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Abstract

The Indian banking sector can take advantage of the proliferation of smartphones as well as the government’s encourage-
ment of cashless transactions to accelerate the use of mobile and online banking. The purpose of this study is to understand
the initial acceptance of mobile banking by existing online banking users. Few studies have focused on online banking
users’ behavioural intention to use similar services (such as mobile banking) in India. To this end, a theoretical model was
developed using the technology acceptance model, which was extended to cover the adoption factors that influence users of
online banking to use mobile banking. These adoption factors comprise perceived ease of use, perceived security, mobile
self-efficacy, social influence and customer support. The dependent variable is customers’ behavioural intention to use mobile
banking. A partial least squares structural equation modelling analysis was used to test the theoretical model with sample
data from 420 online banking customers of various public, private, foreign and co-operative banks in India. The study found
that the adoption factors had a significant impact on customers’ behavioural intention to use mobile banking. The findings
of this study provide insight into digital banking channels, contribute to existing research on digital banking adoption and
will educate banks and financial institutions on the adoption of mobile banking in India.
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Introduction

The internet and the wireless revolution have changed the
way individuals communicate and interact. In relation to
banks, technology has transformed how banks function and
deliver banking services. The tremendous growth of infor-
mation and communication technology, wireless technol-
ogy and mobile devices has led to customers visiting bank
branches less frequently. They now conduct most of their
banking operations online. Smartphones, disruptive technol-
ogies such as Al and chatbots and voice-based payments are
replacing physical banking with digital banking experiences.
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Online banking and mobile banking are two prominent
digital banking channels that allow banking customers to
conduct financial transactions at their convenience. Online
banking (e-banking or Internet banking) uses the internet as
a channel through which to offer banking products to cus-
tomers via a website (Khan and Mahapatra 2009). Barnes
and Corbitt (2003) defined mobile banking as “a channel
whereby the customer interacts with a bank via a mobile
device, such as a mobile phone or personal digital assistant.”
Mobile banking is not an add-on to internet banking but
rather a digital alternative to more traditional banking chan-
nels (Piischel et al. 2010). Mobile banking can reach a wider
number of people due to the penetration of smartphones.
The Indian banking sector can take advantage of the pro-
liferation of smartphones and the government’s encourage-
ment of cashless transactions to accelerate the use of mobile
and online banking. Mobile banking users exceeded 1.75
billion in 2019 around the world, and an emerging coun-
try like India has witnessed significant growth (Juniper
Research 2019). In order to promote digital transactions,
the Indian government has asked all Indian banks to provide
mobile banking facilities to all their customers by the end of
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2020. Mobile banking in India is presently a bank-led model
implemented by the Reserve Bank of India (RBI)—the
regulatory authority of banking in the country. To encour-
age the use of mobile banking, the RBI has removed daily
transaction limits. This type of banking has great potential
for India’s rural areas, where there is a general scarcity of
bank branches. Most of India’s rural population uses smart-
phones to access the internet owing to the availability and
affordability of these devices. Hence, banks, telecom service
providers, and the RBI can avail great opportunities through
mobile banking for the unbanked populations of rural India
(IBEF 2019). India is forecasted to be ahead in growth with
regard to digital transaction value as compared to China and
the USA by 2023 (KPMG 2019).

Among the 640 million active banking customers in India,
only 12% use online and mobile banking (BCG 2019). It is
expected that in 2020, roughly 150 million urban banking
customers will actively use both online and mobile banking
due to improved technological infrastructure (e.g., internet
connectivity, smartphone penetration and improved digital
payment resources) (BCG 2019). However, as per the BCG
CCI digital banking survey (2016), 56% of respondents were
dissatisfied with their mobile banking experience and 48%
were unhappy with their online banking experience. The
reasons behind the low levels of adoption and high levels
of dissatisfaction with online and mobile banking channels
are lack of awareness of and trust in these banking channels,
lack of transparency of the channels and inadequate security
measures.

Though banks have a tremendous opportunity to build a
large customer base through digital customers, if they do not
address customer experiences of digital banking channels,
they will lose their customer base to competitors such as
mobile wallet providers. Mobile banking adoption is still in
the emergent stage in India, whereas online banking has sur-
passed this stage. Internet penetration through smartphones
is very high compared to the penetration and usage of the
internet on computers (InMobi 2019). Previous studies
have explored online and mobile banking adoption in both
developed and emerging economies (Bharti 2016; Tran and
Corner 2016; Orug and Tatar 2017; Hamidi and Safareeyeh
2019). In relation to conducting banking transactions, it has
been found that mobile banking has not reached a level of
maturity globally and has a low adoption and diffusion rate,
especially in emerging economies (Cruz et al. 2010; Tran
and Corner 2016; Hassan and Wood 2020; Shankar et al.
2020). Thus, numerous studies have explored online banking
customers’ intention to use mobile banking (Laforet and Li
2005; Cruz et al. 2010; Harris et al. 2016; Danyali 2018).
However, few studies have addressed this phenomenon in
India specifically.

The purpose of this study is to identify whether current
online banking customers intend to use mobile banking in

India and which factors influence their adoption of this form
of banking. Banks are permitted to offer mobile banking
services (through SMS, USSD, or mobile banking applica-
tions) in India. The accelerating growth of mobile phones
and broader coverage of mobile networks have made mobile
banking an acceptable platform for every customer segment
in India. Existing bank customers who use online banking
would also prefer to use mobile banking due to the spe-
cific feature of the mobile device of being “on-the-go” and
anywhere and anytime. Hence, it is essential to understand
the current online banking users’ intention towards mobile
banking. The results of this study will provide an insight into
the expectations of digital banking customers. This study
will also enable banks to devise strategies to promote the
adoption and improvement in customer experiences in both
mobile and online banking. The study’s findings can be sub-
sequently used to promote mobile banking in both rural and
urban regions in India.

Theoretical background and hypotheses
development

The theoretical framework of this research is based on the
technology acceptance model (TAM) (Davis 1989). The
main strength of this model is that it can be used to evaluate
customers’ desire to use all types of information technology
and/or information systems. It states that the willingness of
an individual to use technology is specific to the information
system (IS) context and consists of five constructs—per-
ceived usefulness, perceived ease of use, attitude, intention
to use and actual use. Researchers have extended the TAM
model by adding additional constructs and combining it with
other theories, examining other mediators or determining
the antecedents to perceived usefulness and perceived ease
of use. Mobile banking is a new, cutting-edge and complex
technology-enabled information system. Thus, to understand
customers’ behavioural intention to use mobile banking, this
study extended the TAM model by applying the constructs
of perceived ease of use (Davis 1989), self-efficacy (Bandura
1986), social influence (Venkatesh et al. 2003), perceived
security and customer support. Existing banking custom-
ers are likely to try out a new digital banking channel, such
as mobile banking, if it is easy to use and they are confi-
dent they have the required skills to use it. To ensure use,
mobile banking apps should also be secure and impervious
to threats, such as device theft, phishing attacks, spyware
and data leakage. When trying out a new banking channel,
mobile banking customers typically seek out the opinions
of others, look for more information about the said channel,
rely on their bank for support and expect promotions. Previ-
ous studies have highlighted the importance of factors such
as ease of use, self-efficacy, security and social influence
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for the adoption of mobile banking (Koksal 2016; Tran and
Corner 2016; Zhang et al. 2018; Giovanis et al. 2019). The
proposed theoretical model and research constructs formu-
lated for the present study are shown below (Fig. 1).

Mobile self-efficacy

Mobile banking is a technology-enabled digital banking
channel where technical expertise for using the mobile bank-
ing app is required. Mobile self-efficacy beliefs play a key
role in a new user trying out this channel. Self-efficacy is
defined as the “conviction that one can successfully execute
the behaviour required to produce the outcomes” (Bandura
1977). Bandura goes on to say that “expectations of self-effi-
cacy determine whether coping behaviour will be initiated,
how much effort will be expended, and how long it will be
sustained in the face of obstacles and aversive experiences”
(Bandura 1977). Existing research has identified the influ-
ence that self-efficacy belief has on behavioural intentions
(Jeong and Yoon 2013; Mutahar et al. 2018). Customers will
only use a mobile banking service when they feel confident
and believe themselves to have the necessary technical skills
to do so. Hence, the following hypotheses are proposed.

H1 Mobile self-efficacy belief has a significant influence
on customers’ behavioural intention to use mobile banking.

Fig. 1 Proposed theoretical
model

Mobile self-efficacy

Perceived ease of
use

H1a Mobile self-efficacy belief has a significant influence
on customers’ perceived ease of use of mobile banking.

Perceived ease of use

Perceived ease of use is defined by Davis (1989) as “the
degree to which a person believes that using a particular sys-
tem would be free of effort.” Customers of internet banking
expect mobile banking to be similar. Mobile banking apps
that have clear and simple interfaces will encourage banking
customers to try out mobile banking channels. Prior studies
have shown that perceived ease of use significantly influ-
ences users when deciding to use a new information system
(Hanafizadeh et al. 2014; Mortimer et al. 2015; Mutahar
et al. 2018). Mobile banking systems should be simple and
easy to use. Hence, the following hypothesis is proposed.

H2 Perceived ease of use has a significant influence on cus-
tomers’ behavioural intention to use mobile banking.
Social influence

Social influence refers to the way in which an individual
changes their behaviour based on the opinions of others

in relation to said behaviour. Venkatesh et al. (2003) pre-
sent subjective norms as forms of social influence that
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are derived from well-known theories of IS. Customers
typically seek opinions from others about a new product
or service and, as mobile banking represents a novel tech-
nological product for existing internet banking customers,
they will typically seek out the opinions of others who
have already used the service. Existing studies concerning
mobile and internet banking have highlighted that social
influence is an essential predictor of intention to use (Tan
and Lau 2016; Tarhini et al. 2016). Hence, the following
hypothesis is proposed.

H3 Social influence has a significant influence on custom-
ers’ behavioural intention to use mobile banking.

Perceived security

Extant literature has highlighted the influence of the secu-
rity of online banking adoption on customers’ behavioural
intention to use it (Sathye 1999; Wang et al. 2003; White
and Nteli 2004; Pikkarainen et al. 2004; Cheng et al.
2006). Safety concerns in relation to mobile banking play a
major role in its adoption as a service (Zhang et al. 2018).
A mobile device that enables banking services poses vari-
ous security threats, and customers may feel insecure using
mobile banking if it does not have adequate security meas-
ures. Hence, the following hypothesis is proposed.

H4 Perceived security has a significant influence on custom-
ers’ behavioural intention to use mobile banking.

Customer support

Customer support is support offered in the form of guide-
lines, FAQs, help pages and personal assistance (Zeithaml
et al. 2002; Santos 2003). As mobile banking is a digital
banking channel for all customers, even existing ones, cus-
tomers expect assistance and prompt service before and
after using the service. Existing studies have also high-
lighted that customer support plays a major role in terms
of initial acceptance of the service (Lin 2013; Ghani et al.
2017; Rahi and Ghani 2019). Hence, the following hypoth-
eses are proposed.

H5 Customer support has a significant influence on custom-
ers’ behavioural intention to use mobile banking.

H5a Customer support has a significant influence on the
perceived security of mobile banking.

Research methodology

This study utilised a positivist research perspective, as it
is quantifiable. The study used a quantitative method of
data collection through a structured questionnaire to col-
lect responses from existing online banking customers. The
target respondents were Indian banking customers from the
public sector, private sector, co-operative banks and foreign
banks. The sample was collected throughout India and con-
sisted of metro, urban and rural populations. This research
used convenience sampling, one of the non-probability sam-
pling methods, to select participants. In India, it is forbidden
to disclose customer identities as per the guidelines of the
Reserve Bank of India (RBI). In the absence of customer
lists, it was challenging to reach banking customers who
used online banking services. Given the lack of availabil-
ity of a comprehensive banking customer list and the time
and cost of collecting responses from each individual cus-
tomer, this study used convenience sampling for collecting
responses using the survey questionnaire. Earlier studies on
mobile adoption from both developed and developing coun-
tries also used convenience sampling as the data collection
approach (Chiu et al. 2017; Zhang et al. 2018). The aim of
the study was explained to the respondents and participa-
tion was voluntary. They were informed that the sample of
responses would be used only for this research. A qualifying
question (“Do you use online banking?”’) was used to iden-
tify respondents who used online banking services. Another
question (“If available, do you have the resources necessary
to use mobile banking?”) was asked to ascertain the will-
ingness of customers to use mobile banking. A total of 500
questionnaires were distributed using a combination of self-
administered methods and e-mailing the authors’ personal
contacts. The hard copies of the questionnaire were distrib-
uted using the researcher’s personal contacts residing in vari-
ous locations in India. A Google form was created of the
questionnaire and distributed through the researcher’s per-
sonal contacts. Responses from customers who did not use
online banking were discarded, thus leaving 420 responses
with a response rate of 84%. The sample size is robust and
in line with the considerations of Nunnally (1978), as cited
in Hinkin (1998).

Survey-based research is susceptible to common
method bias where respondents fill out survey question-
naires by themselves (Podsakoff et al. 2003). Harman’s
single-factor test was conducted to examine the study’s
common method bias (CMB). An exploratory factor analy-
sis was conducted on all items of the measured constructs,
and the results showed that more than one factor with an
eigenvalue greater than one was extracted and no single
factor accounted for a significant variance. Hence, CMB
was not a concern in this study.
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Variable measurement

The theoretical constructs used in this study were measured
using the validated items from a previous research (Table 1).
The adapted items were rephrased to better suit the needs
of the current study. Likert scales were used to measure
the responses, as these scales are widely used in market-
ing and social science research (Garland 1991). The present
study used a 7-point Likert scale ranging from 1 to 7 (where
1 =strongly disagree and 7 = strongly agree) to measure the
theoretical constructs. A total of 16 items were developed to
capture the factors that influence adoption.

The questionnaire was presented to academics and prac-
titioners in the field of IS and marketing in order to evaluate
their perceptions of the topic of the study and assess the
questionnaire’s measurability and context. The question-
naire was also pre-tested by collecting responses from five
internet banking customers and five non-internet banking
customers to check its wording, sequencing and complete-
ness. Based on the feedback from respondents, the sequenc-
ing of the questionnaire was modified, ambiguous questions
deleted and some of the wording changed. The feedback
thus improved the clarity, relevance and consistency of the
questionnaire. The multi-item scale was tested for reliability
and validity. The mobile banking adoption scale was then
shown to a panel of experts to judge the appropriateness of
the scale, thus establishing its content validity.

The primary data collected from the questionnaire were
tabulated and analysed using the Statistical Package for
Social Sciences, version 24.0. Structural equation model-
ling (SEM) was used to test the theoretical model, and
partial least squares (PLS)-SEM path modelling was used
to measure the relationship between the constructs and
test the conceptual model. Smart PLS 3 software was used
(Ringle et al. 2015) to examine the theoretical model. As
the study was exploratory in nature and as the aim was to

Table 1 Constructs and their sources

Number Source
of items

Constructs

Behavioural intentions to 4 Davis (1989)

use (BI) Venkatesh and Davis (1996)
Perceived ease of use 2 Venkatesh and Davis (2000)
(PEOU) Luarn and Lin (2005)
Chen (2008)
Mobile self-efficacy (MSE) 2 Compeau and Higgins (1995)
Social influence (SI) 2 Venkatesh et al. (2003)

Hong and Tam (2006)

McKnight et al. (2002)
Khalifa and Shen (2008)
Chen (2008)

Jayawardhena (2004)

Perceived security (PS) 3

Customer support (CS) 3

¥

identify the key constructs that predict mobile banking
adoption, PLS-SEM was more suitable than covariance-
based SEM (CB-SEM) (Hair et al. 2011).

Findings

The user profiles of the 420 respondents were studied.
Most of the users were male (75%), which is consist-
ent with previous studies on online and mobile banking
usage (Laforet and Li 2005; Laukkanen and Mika 2008)
(Table 2). In total, 43.81% of respondents regularly used
online banking, while 36.43% used online banking on an
occasional basis. In total, 19% of respondents were willing
to try out a new form of banking such as mobile banking
and 44% were somewhat interested in trying out a new
form of banking.

Measurement model analysis

The reliability of the theoretical constructs was assessed
by computing the composite reliability of each latent con-
struct. The recommended value of the composite reliabil-
ity coefficient was above 0.70 (Hair et al. 2006). The com-
posite reliability obtained for each construct (Table 3) was
above the cut-off point of 0.70. Average variance extracted
(AVE) is a measure complementary to the composite reli-
ability and reflects the overall amount of variance in the
indicators accounted for by the latent construct (Hair et al.
2006). The AVE value of a construct should exceed 0.50
(Hair et al. 2006). The AVE obtained for the constructs
exceeded the cut-off point of 0.50 (Table 3).

The validity of the measurement model was established
by estimating the convergent validity and discriminant
validity. The convergent validity of the measurement
model is estimated by calculating the composite reliabil-
ity of each construct and the average variance extracted by
each construct. The composite reliability of all constructs
was above the recommended value of 0.70, and the aver-
age variance extracted exceeded the cut-off point of 0.50
(Fornell and Larcker 1981). Hence, the convergent validity
of the measurement model was established.

The discriminant validity was assessed by comparing
the shared variance between the constructs and the average
variance extracted from the individual constructs (Fornell
and Larcker 1981). The results (Table 4) revealed that the
shared variance between the constructs was lower than
the average variance extracted from the individual con-
structs. Hence, the discriminant validity of the measure-
ment model was established.
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Table 2 Demographic profile of
respondents

Table 3 Average variance extracted (AVE) and composite reliability

Variable Category Frequency Percentage (%)
Gender Male 315 75
Female 105 25
Age Below 29 257 61
30-39 105 25
40-49 32 7.6
50-59 18 43
60-above 8 1.9
Educational qualification 10th 4 0.95
12th 25 5.95
Graduate 183 43.6
Postgraduate 174 41.4
Professional 28 6.67
Ph.D. 6 143
Income Between Rs. 1-4 lakhs 12 2.86
Between Rs. 4-8 lakhs 168 40
Between Rs. 8—15 lakhs 141 33.57
Between Rs. 15-50 lakhs 78 18.57
Above 50 lakhs 21 5
The frequency of internet banking usage Very often 184 43.81
Sometimes 153 36.43
Rarely 60 14.29
Never 23 5.48
Interested in enabling mobile banking Very interested 81 19.29
Somewhat interested 184 43.81
Not interested 80 19.05
Do not know 75 17.86

Assessment of structural model

(CR)
Construct AVE CR PLS-SEM with a non-parametric bootstrapping method
with 5000 samples was used to test the theoretical model.

Perceived ease of use (PEOU) 0.751 0.857 The path coefficients are given in Table 5. Perceived ease
Mobile self-efficacy (MSE) 0.868 0929 of use, perceived security, mobile self-efficacy and social
Social infiuence (SI) 0.784 0.879 influence were significant, with a p value of < 0.01 (hypoth-
Perceived security (PS) 0.54 0.824 eses H1-H4), thus indicating that these constructs had a sig-
Customer support (CS) 0.681 0.864 nificant impact on the behavioural intention to use mobile
Behavioural intention (BI) 0.721 0.912 banking. Among constructs that influenced mobile banking
Table 4 Discriminant validity Constructs BI cs MSE PEOU PS SI
of measured items

BI 0.849

CS 0.392 0.825

MSE 0.534 0.32 0.932

PEOU 0.552 0.358 0.562 0.866

PS 0.665 0.562 0.472 0.461 0.735

SI 0.564 0.429 0.463 0.591 0.537 0.885
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Table 5 Path coefficients

Hypotheses Path Path coefficient p values Result

H1 MSE — BI 0.165%%* 0.001 Accepted
H2 PEOU — BI 0.173%#%* 0.000 Accepted
Hla MSE —-PEOU 0.562%*%* 0.000 Accepted
H3 SI—BI 0.166%* 0.001 Accepted
H4 PS—BI 0.442%%* 0.000 Accepted
H5 CS—BI 0.324 Rejected
H5a CS—PS 0.562%%* 0.000 Accepted

#p <0.05; #p <0.01; ¥+¥p <0.001

usage, perceived security emerged as the highest predictor
($=0.442, p=0.000), followed by perceived ease of use
(#=0.173, p=0.000). Mobile self-efficacy had a significant
influence on perceived ease of use (#=0.562, p=0.000) and,
similarly, customer support had a significant influence on
perceived security (f=0.562, p=0.000). However, customer
support was not significant (p =0.324) and did not directly
influence the theoretical model.

The R? value obtained during the structural model analy-
sis (Fig. 2) represents the proportion of total variation in
the dependent variable accounted for by the independent
variables. The R? values obtained were 0.554, 0.316 and
0.316 for behavioural intentions, perceived ease of use and
perceived security, respectively. The R? value obtained was
0.554, thus implying that mobile self-efficacy, perceived
ease of use, social influence and perceived security together

Fig. 2 Structural model.
Note *p <0.05; **p <0.01;
*#%p <0.001

Mobile self-efficacy

0.562%**

Perceived ease of
use
(R?=31.6%)

Social influence

explained 55.4% of the variation in the dependent variable
of behavioural intention to use mobile banking.

Stone—Geisser’s Q° value (Geisser 1974; Stone 1974)
was computed to validate the predictive relevance of the
model by running a blindfolding technique with an omis-
sion distance of eight. The Q? value obtained for the endog-
enous variable of behavioural intention was 0.388, which
was greater than zero, thus indicating that the model had
predictive relevance.

Mediation analysis

In order to assess the mediation effect in the theoretical
model, the bootstrapping method in PLS-SEM was used.
This method does not make any assumptions regarding the
sampling distribution and works well with small sample
sizes (Hair et al. 2013). Variance accounted for (VAF) was
used with the following equation (Hair et al. 2013) to exam-
ine the mediation analysis.

VAF = Indirect effect/Total effect

If the VAF value is less than (.2, there is no mediation. If the
value is greater than or equal to 0.2 and less than or equal
to 0.8, then there is partial mediation. If the value is greater
than 0.8, then there is full mediation (Hair et al. 2013).
The VAF value was calculated (Table 6) to ascertain the
mediation effect of the variable perceived ease of use on the
relationship between mobile self-efficacy and behavioural
intention to use mobile banking systems. The VAF value

0.165%*

Behavioral
intention to
use mobile
banking
R? =55.4%)

0.173%**

0.166**

0.442% %% | Not

significant

0.562%**

Perceived security
(R2=31.6%)

Customer support
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Table 6 Mediation analysis

Path VAF Mediation
MSE —PEOU — BI 0.37 Partial
CS—PS—BI 1.21 Full

obtained was 0.37, which indicates that perceived ease of
use partially mediated the relationship between mobile self-
efficacy and behavioural intentions. The mediation effect
of perceived security on the relationship between customer
support and behavioural intention led to a VAF value of
1.21, thus indicating full mediation. Perceived security fully
mediated the relationship between customer support and
behavioural intention to use mobile banking systems.

Discussion

The objective of the current study was to explore the behav-
ioural intention of current online banking customers in India
in relation to the adoption of mobile banking. Previous stud-
ies have corroborated that mobile banking adoption is still
in the emergent stage all over the world, so further studies
must be conducted to understand mobile banking adoption
for existing online banking customers (Laforet and Li 2005;
Cruz et al. 2010; Harris et al. 2016; Danyali 2018).

This study extended the TAM model using the additional
constructs of mobile self-efficacy, social influence, perceived
security and customer support. The integrated model of this
study showed strong empirical evidence to predict custom-
ers’ behavioural intention to use mobile banking systems,
with an R? value of 0.554. The empirical result shows that
the integrated model has a high level of explanatory power
in terms of customers’ behavioural intention to use mobile
banking systems. In this theoretical model, perceived secu-
rity and perceived ease of use were strong predictors of
behavioural intention. These were followed by the predictors
social influence and mobile self-efficacy. Perceived secu-
rity ranked as the highest predictor of behavioural inten-
tion to use mobile banking. Customers of online banking
and mobile banking face various security threats, including
online fraud, identity theft, phishing, malware and viruses.
Online and mobile banking should have robust security
mechanisms that enhance the trust and confidence of cus-
tomers. Previous research has also highlighted the impor-
tance of security with regard to the intention to use mobile
banking (Shankar and Kumari 2016; Bhatt and Bhatt 2016;
Zhang et al. 2018). In this study, it was also found that per-
ceived ease of use significantly influenced online banking
customers in terms of using mobile banking. Easy and sim-
ple mobile banking apps motivate customers to use mobile
banking, as they can conduct financial transactions on the

move. Previous studies have also pointed out that perceived
ease of use influences customers’ use of new digital banking
channels, such as mobile banking (Hanafizadeh et al. 2014;
Mortimer et al. 2015; Mutahar et al. 2018).

Social influence was a primary predictor of the behav-
ioural intention to use mobile banking. Awareness plays
a significant role in the adoption of new digital banking
channels when monetary transactions are involved. Cus-
tomers feel confident if they know that their friends and
family use mobile banking, which is in line with the find-
ings of previous studies (Tan and Lau 2016; Tarhini et al.
2016). Mobile self-efficacy beliefs significantly influenced
customers’ intention to use mobile banking. Prior research
on mobile banking adoption also found this to be the case
(Alalwan et al. 2015; Koksal 2016). The use of mobile bank-
ing increases when online banking customers have sufficient
confidence in the mobile banking system. This study also
revealed that mobile self-efficacy beliefs significantly influ-
enced the perceived ease of use of mobile banking. It is
apparent that when a customer is confident in using mobile
banking, their perceptions regarding the ease of the system
will also increase.

In this study, customer support did not influence custom-
ers’ behavioural intention to use a mobile banking system,
but it significantly influenced their security perceptions. This
may be because the mobile device is a personal gadget and
therefore using mobile banking apps might not require assis-
tance. Regarding security threats of mobile apps, customers
require technical assistance and support when using them.
Hence, perceived security fully mediated the relationship
between customer support and behavioural intention to use
mobile banking.

Study implications

The results of the current study will help academics and
practitioners explain, understand and elucidate the status
of mobile banking and formulate appropriate strategies to
expedite the use of mobile and internet banking. The theo-
retical implications of this study are as follows: The study
extended the TAM model in the context of mobile banking.
Prior studies have argued that extending the original TAM
model by adding additional constructs from related models
improves the explanatory power (Khasawneh 2015; Koksal
2016; Baabdullah et al. 2019; De Leon 2019). This study
empirically proved in the mobile banking context that the
explanatory power of the TAM model is improved by add-
ing the constructs social influence, mobile self-efficacy and
perceived security. Previous studies have extensively studied
the factors affecting the intention to use mobile banking.
However, few studies have accurately explored online bank-
ing customers’ intention to use mobile banking in India. This
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study also established a relationship, which has not been
addressed in previous studies, between customer support and
perceived security. The current study is likely one of the few
studies to explore online and mobile banking in India.

The findings of the study have implications for banks,
financial institutions, technology developments and security
experts. Banks should improve the service quality of online
banking with a secure website, comprehensive instructions,
user-friendly interface and prompt customer service. The
improvement in service quality through increased respon-
siveness, efficiency and credibility automatically leads to
customer satisfaction with online banking services, thus giv-
ing individual banks a competitive advantage. An adequate
system of customer support, a precise web interface and a
robust security framework will increase customer satisfac-
tion with online banking. Among the adoption factors of
mobile banking, perceived security is ranked as the highest,
followed by perceived ease of use. Online and mobile bank-
ing face many security threats. Thus, technological advance-
ments in these channels should ensure adequate security
mechanisms to avoid payment and wireless security issues,
device theft and data breaches. Banks can attract existing
customers to mobile banking by offering them incentives
and credit points. Banks should spread awareness of these
new channels through various media platforms to increase
the use of mobile banking.

Limitations and future directions

The limitations of the present study and their implications
for future research are as follows: The first limitation is that
most of the sample was derived from metro regions, while
the intention to use online and mobile banking may differ in
rural areas. Second, convenience sampling was used as the
sampling method, so the generalisability of the findings is
low. Future research should measure the service quality of
mobile banking and link this to customer satisfaction, which
will help accelerate the usage of mobile banking.

Conclusion

Mobile banking is an emerging service that is not yet widely
adopted in India, and there is a need to determine the adop-
tion factors that influence consumers to use it. To address
this research need, the study identified these factors and their
influence on the acceptance of mobile banking services. The
present study developed a research framework to understand
the factors that contribute to online banking users’ intention
to use mobile banking. The factors identified to provide a
comprehensive view of the key drivers influencing mobile
banking usage intentions and the elements that should be

¥

considered to increase usage. Through the specification of
these relationships, the study addresses a significant gap in
the extant research.
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