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Abstract
The rural and urban areas of Central Asia underwent substantial land cover changes which has escalated the water scarcity 
condition in the Aral Sea, during past decades. In this article, we analyzed spatial variation of the vegetation based on GIMMS 
NDVI (Global Inventory Modelling and Mapping Studies) and its correlation with climatic variables (temperature, precipita-
tion and soil moisture) in the Aral Sea Basin (ASB) for growing and non-growing seasons over two different periods, i.e., 
1982–1999 and 2000–2015. For this purpose, NDVI was obtained from GIMMS and climatic variables from datasets on the 
CRU (Climatic Research Unit). The results showed a weak positive correlation between NDVI and climatic variables during 
the growing season for both the study periods. The analysis revealed 0.08/10 years and 0.04/10 years of vegetation trends 
during growing and non-growing periods, respectively. During the growing season of 2000–2015, the spatial vegetation 
trend decreased by 7.84% area coverage as compared to 1982–1999. The small regions that showed only slight vegetation 
increase were observed over cropland and mountain regions in the northeastern and southeastern parts of basin. The impacts 
of human activities on the growing NDVI season were further investigated using residual trend analysis. The results revealed 
that in the growing season of 1982–1999, the human impact on NDVI changes was significant, with a positive residual trend 
accounting for 37.03% of the total area. For the period 2000–2015, a positive residual trend of 2.22% was found in the basin.

Keywords Aral Sea · Land cover · NDVI · Climate change · Human activities

1 Introduction

Comparative regional analysis of Central Asian countries 
showed that the air temperature has continuously risen 
over the past several decades. As demonstrated in a previ-
ous study, the near surface temperature rose by 18–28 °C 
in the region during the twentieth century (Hu et al. 2013). 
Among the arid and semi-arid ecosystems of CA, vegetation 
is highly related to local climatic variations (Yin et al. 2016). 
Similarly, the carbon cycle plays a major role in vegetation 
increase which has suffered transformations due to climate 
change in the CA region (Li et al. 2015). The dependency 
of vegetation on carbon cycle and other geochemical cycles 
is imperative to study as vegetation provides an important 
source of food to human population. Sustainable develop-
ment of the Aral Sea Basin (ASB) is a challenge due to 
the progressing problems in the region such as the decline 
of the ASB water extent and rising temperatures (Mick-
lin 2000) which gravely influences the vegetation dynam-
ics of the region. Monitoring and analysis of the regional 
land and vegetation cover changes can aid in informed 
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decision-making for ensuring sustainable and responsible 
use of natural resources. Normalized Difference Vegetation 
Index (NDVI) dataset, linked to vegetation biomass, can be 
employed for studying the vegetation dynamics and changes 
in different regions as it provides data for historical vegeta-
tion trend analysis along with monitoring for different land 
surfaces.

Vegetation variability in response to climate change is still 
poorly studied and understood in CA (Yuan et al. 2017). Pre-
vious studies investigated the relationship between Normal-
ized Difference Vegetation Index (NDVI) and different fac-
tors such as localized, annual and seasonal climate changes 
(Peng et al. 2013; Piao et al. 2006; Potter and Brooks 1998; 
Yuan et al. 2017 ). The results highlighted vegetation as one 
of the key factors to control the terrestrial ecosystem carbon 
cycle. A positive correlation between NDVI and precipita-
tion in arid and semi-arid areas has been presented in the CA 
region (Ichii et al. 2002; Jiang et al. 2017; Yin et al. 2016). 
Yin Gang and other researches showed a weak increasing 
trend of NDVI in CA over the period 1982–2012, with a 
significant positive trend between the years 1982 and 1994 
but a decreasing NDVI trend after the year 1994. The influ-
ence of drought on vegetation in the CA region has also been 
analyzed demonstrating a positive correlation between the 
vegetation and the SPEI drought index (Standardized Precip-
itation Evapotranspiration Index) in most regions from 2000 
to 2012 (Deng et al. 2020; Xu et al. 2016). First study illus-
trated that the vegetation vulnerability towards drought was 
higher from July to September except for shrublands, while 
another study showed the extensive vegetation degradation 
was due to the summer water deficit (Deng et al. 2020; Xu 
et al. 2016). The reduction of NDVI was induced by the 
decreased amount of precipitation (Yin et al. 2016). During 
the recent years, it has been reported that the increased ther-
mal stress and continuously declining soil moisture in the 
region has resulted in a drought stress impacting vegetation 
health severely (Guo et al. 2018). Another study showed that 
the vegetation decreased per decade during the growing sea-
son in the Central Asia region based on the trends. observed 
through the aridity index for the region (Deng et al. 2020). 
The results from other researchers reported that the natu-
ral vegetation trend in CA intensified by 0.004 per decade 
from 1982 to 2013, and the shrublands vegetation continues 
to increase in the region along with that of the grasslands 
(Li et al. 2015). Jiang et al. analyzed the human impact on 
vegetation change in CA, with the focus on the rapid devel-
opment of oil and natural gas extraction in the southern part 
of the Kara-Kum Desert and the Southern Ustyurt Plateau, 
mainly through Google Earth software (Jiang et al. 2017).

Vegetation dynamics depends on numbers of factors like 
temperature, precipitation, evapotranspiration and water 
availability within a respective region. During the 1960s, the 
water volume in the ASB, which posed a major impact on 

CA climate, began to decline revealing extensive variations 
in surface inundation (Ilyas et al. 2019). There are several 
reasons for the water level reduction like inefficient manage-
ment of the water resources of two major trans-boundary 
rivers within the region, Amu Darya and Syr Darya; rapid 
increase of population; intensive cropland exploitation; and 
construction of hydropower and irrigation structures. All of 
these factors were marked as the sources of environmental 
threat (Glantz 1999; Glazovsky 1995; Micklin 1998) to the 
ASB. In addition to this, the moisture supply in the region 
is contributed by the midlatitude westerlies which has pre-
sented severe dryness dominated by upstream standing wave 
patterns from the North Atlantic (Bothe et al. 2011). This 
atmospheric teleconnection predominantly defines the mois-
ture influx in the regions based on the seasonal atmospheric 
flow.

Vegetation intensity and dynamics varies in response to 
atmospheric thermal and moisture fluctuations; hence, it is 
imperative to study the association and dependency between 
these variables and vegetation among different land cover 
types (Garzelli et al. 2018; Jiang et al. 2017; Sun et al. 2015). 
Based on available literature, we can say that several studies 
on vegetation changes and factors affecting the CA region 
were carried out (Jiang et al. 2017; Yin et al. 2016; Zhou 
et al. 2015). However, long-term studies analyzing the vari-
ations of NDVI within different vegetation seasons in the 
ASB region are limited; hence, this study examines long-
term time-series linkages between vegetation dynamics and 
climatic and anthropogenic variables. This study aims at 
analyzing and evaluating the impacts of climatic and human-
driven changes on vegetation dynamics within the Aral Sea 
Basin. Based on the objective, this study investigates the 
climatic variables (air temperature, precipitation, and surface 
soil moisture) and human activity (land use) changes and the 
association of these variations on vegetation density changes 
in the ASB, during two different periods (1982–1999 and 
2000–2015) using NDVI datasets.

2  Study Area, Materials and Methods

2.1  Study Area

In this paper, the concerned study area is the ASB (Fig. 1). 
The ASB, located in CA, has seen significantly influenced 
by anthropogenic load since the mid-twentieth century, 
leading to the desiccation of the basin (Berdimbetov et al. 
2020; Micklin, 2000; Zavialov et al. 2003). The Aral Sea 
is a closed basin with a watershed area of almost 1.8 mil-
lion square kilometers including the Amu Darya and Syr 
Darya river systems (Micklin 2007; Zmijewski and Becker 
2014). The percentage share of the basin belonging to dif-
ferent countries is the Republic of Kazakhstan (36.4%), 



305Climatic Change and Human Activities Link to Vegetation Dynamics in the Aral Sea Basin Using…

1 3Published in partnership with CECCR at King Abdulaziz University

Turkmenistan (20.2%), Uzbekistan (18.5%), Kyrgyzstan 
(8.2%), Afghanistan (7.5%), Tajikistan (5.9%), and Iran 
(3.4%). The land cover change distribution in the region, 
based on AVHRR and ESA-CCI data, was analyzed for 
the period between 1982 and 2015. The main parts con-
stituting the basin include desert area (42.79%) and the 
shrubland (27.25%), in the land cover change as of 2015 
(Fig. 1). In addition, the grassland (13.54%), cropland irri-
gated (11.12%), forest (1.06%), water area (2.31%), natural 
vegetation cropland (1.57%) and urban area (0.36%) were 
identified.

The territory of Central Asia falls under the temperate 
climate and with desert area found predominantly in the 
western parts of the Aral Sea Basin (Guo et al. 2019). It is 
characterized by high temperature and low rainfall. Summer 
is very hot with an average temperature in July at 25.5 °C 
with a maximum temperature range of 40–45 °C. The winter 
months are very cold. The absolute minimum temperature 
is – 30 (to − 35 °C). After a cold winter, warm spring and 
hot summer begin quickly (Abdurahimov and Kurbanov 
2015; Berdimbetov et al. 2021). The cold period lasts for 
180–200 days. Climatic conditions of the desert zone, occu-
pied by the territory, are characterized by extreme drought, 
summer heat, cloudlessness accompanied by low rainfall. 
The annual precipitation is about 100–400 mm (Gessner 

et al. 2013; Guo et al. 2019), and in some places, it is 50 mm 
or less.

The region’s water resources mainly consist of glaciers, 
lake water, runoff, and soil moisture. High altitudes, Tian-
shan, Pamir, and the glaciers in the Tibetan Plateau are the 
main sources of fresh water. Pamir glaciers play a signifi-
cant role in the CA water balance (Unger-Shayesteh et al. 
2013) and form the basis of the Amu Darya and the Syr 
Darya river flow. There are several large and small water 
bodies in the CA area, including the Aral Sea (1.176 ×  104 
 km2 in 2004), Sarygamysh Lake (0.5 ×  104  km2), and Aydar 
Lake (0.3 ×  104  km2). Aydar Lake (40°55’ N, 66°48’ E) was 
formed based on the Soviet plan in the late 1960s, due to the 
excessive precipitation in 1969, in the part of the Syr Darya 
river (21  km3) through Shardara reservoir and Arnasay. It 
flowed to Aydar Lake because the water flow to the Aral 
Sea did not fit into the Syr Darya River. It is probable that 
Aydar Lake volumes impacted significantly on the Aral Sea 
shrinkage. In the region, agriculture is the largest source of 
water resource consumption, accounting for nearly 90% of 
the annual amount of water in this sector (Unger-Shayesteh 
et al. 2013). Water consumption in agriculture, along with 
the decline of the Aral Sea, caused serious environmental 
problems. From 2002 to 2009, the Aral Sea area fell by 62% 
(Singh et al. 2012).

Fig. 1  Study area: ASB’s land use land cover map



306 T. Berdimbetov et al.

1 3 Published in partnership with CECCR at King Abdulaziz University

2.2  Datasets

We obtained the NDVI dataset; GIMMS (Global Inventory 
Modelling and Mapping Studies) based on the daily data 
record from the NOAA’s Advanced Very High-Resolution 
Radiometer (AVHRR; a spatial resolution of 1/12° based on 
which we calculated the monthly averages of NDVI from 
1982 to 2015; (https:// ecoca st. arc. nasa. gov). The GIMMS 
dataset is a series of NDVI matrices over 34 years. The 
GIMMS dataset was originally created to study biophysi-
cal changes as part of the International Satellite Land Sur-
face Climatology Project (ISLSCP). According to a previ-
ous study (Gallo et al. 2004), AVHRR and MODIS derived 
NDVI showed over 90% correlation; hence, AVHRR has 
been used in this study.

NDVI is a relative index of the state of vegetation that 
can be used in climatic and biogeochemical models for cal-
culating photosynthesis (Bilal et al. 2019), carbon dioxide 
exchange between the atmosphere and the surface of the 
earth, evaporation, transpiration, absorption, and emission of 
energy from the earth’s surface. This data set is an improved 
version of the AVHRR data, with the necessary adjustments 
by taking into account the image geometry, volcanic aero-
sols, and other effects not related to the change of vegeta-
tion itself (Beck and Goetz 2011; Tucker et al. 1985). The 
recently released annual land cover maps of the European 
Space Agency Climate Change Initiative (ESA-CCI, https:// 
maps. elie. ucl. ac. be) from 1992 to 2015 partially overcame 
these resolution problems with a 300 m and long and con-
sistent annual time series for all major land cover transi-
tions (i.e., maps, including grasses, crops, and urban areas; 
ESA 2017). Moreover, we used climate factors such as tem-
perature, precipitation, and soil moisture datasets from the 
Climatic Research Unit (CRU TS 4.0), University of East 
Anglia (https:// cruda ta. uea. ac. uk/ cru/ data). The CRU dataset 
covers all land areas (except Antarctica) from 1901 to 2015 
(at a spatial resolution of 0.5°) and is based on monthly 
observational data from land meteorological stations across 
the world (Harris et al. 2014). This article uses soil mois-
ture data from the Global Land Data Assimilation System 
(GLDAS, https:// disc. gsfc. nasa. gov). Its resolution is 0.25° 
degree with layer depth 0–10 cm (Rodell et al. 2004). The 
spatial resolution of the CRU and GLDAS datasets was resa-
mpled to 1/12° using Resampling tool (Environment setting) 
from ArcMap 10.3 raster toolset to achieve the same resolu-
tion as that of the GIMMS NDVI.

2.3  Methods

Long-term trends in NDVI data were computed using linear 
regression method for annual and seasonal analysis at grow-
ing (April–September) and non-growing (October–March) 
scales. Interdependence between NDVI and climate factors 

(temperature, precipitation, soil moisture) is represented by 
the correlation coefficients. We used the spline interpola-
tion method to interpolate average climate variables for each 
grid cell in total area (Duulatov et al. 2019; Xu et al. 2016). 
Based on Pettitt’s non-parametric method, we determine the 
change point in NDVI and climate factors.

2.3.1  Determination of Change Point

This study investigates the climatic variations and their 
impacts on vegetation by analyzing the changes in tempera-
ture, precipitation, and soil moisture with NDVI along with 
the human effects from 1982 to 2015. Based on the previous 
studies, Central Asia region has known to shown significant 
variations in climate during the last few decades. For this, a 
hypothesis was tested to determine the change point for the 
Aral Sea Basin based on the time series of NDVI, tempera-
ture, precipitation and soil moisture. First, based on Pettitt’s 
test (1979), we employed a non-parametric method to deter-
mine the change point of NDVI, temperature, precipitation, 
and soil moisture. The test was confirmed with the change 
point found in all 4 variables, mostly for the year 2000 or 
later (Fig. 2).

To understand the spatial and temporal changes in the 
vegetation trends with respect to climatic and anthropogenic 
variations, it was important to study the disturbances before 
and after the change point. So, we divided the study period 
into two parts based on the change point test, marking the 
first study period between 1982 and 1999 and the second 
study period between 2000 and 2015.

2.3.2  Linear Regression Analysis

Linear trend analysis has been performed to observe veg-
etation trend change over the ASB where we analyzed the 
slope of vegetation change for each pixel. Linear regression 
trend analysis is performed using RStudio software, which 
can simulate trends in each grid (Tong et al. 2018). In this 
study, the relative slope in formula (1) is used to indicate 
the relative change in NDVI in each pixel (Liu et al. 2019).

where i is the annual number; n the monitoring period 
(cumulative number of years); NDVI as the average NDVI

i
 

year; the slope of each pixel is the trend of the NDVI slope, 
if Rslope > 0 , then the NDVI value of the pixel in n years 
increases, otherwise it decreases (Hu et al. 2019). Moreover, 
linear regression is the key function in the process of com-
puting residual trend analysis.
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i × NDVI
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2.3.3  Residual Trend

In this study, residual trend analysis has been considered for 
using phenological information to enhance the accuracy of 
detecting changes in agricultural areas (human-driven land 
use) while not considering the impacts of other variables. 
The residual trend is introduced by Evans and Geerken 
(2004). First, a regression model between the observed 
NDVI and climate variables (temperature, precipitation, 
and soil moisture) is calculated for each pixel. Secondly, 
the residual difference between the observed NDVI and the 
predicted NDVI from the linear regression model is calcu-
lated (Ibrahim et al. 2015). This method helps to differentiate 
between climate variation and the effects of human activi-
ties on vegetation changes. The equation is as follows (Luo 
et al. 2018):

where: NDVIres is a residual error value, NDVIact is actual 
value and NDVIpre is predicted annual value. If a residual 
trend is positive, then we can assume that human activity 

(2)NDVIres = NDVIact − NDVIpre,

influences the increase of NDVI in selected pixels, and if 
the residual trend is negative, the effects of NDVI change 
are destructive.

3  Results

3.1  Distribution of Vegetation Along Vegetation 
Types

Figure 3 shows the spatial distribution of NDVI variability 
in two different periods (1982–1999 and 2000–2015) and 
seasons (growing and non-growing). Most of the eastern 
stretching from northeast to southeast parts of the ASB 
showed moderate to high vegetation cover (Fig. 3a, c) for 
the growing season during both the study periods. Desert 
or no vegetation showed a high spatial coverage of 38.11% 
by area for the first period (1982–1999), while low vegeta-
tion presented the highest spatial area coverage of 40.40% 
for the same period under growing season. The spatial dis-
tribution kept declining for moderate and high vegetation 
with only 16.50% and 2.5% area coverage, respectively, for 

Fig. 2  Change-point detection by NDVI, temperature, precipitation, and soil moisture using the Pettit test for the period 1982–2015 over ASB
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the growing season during the earlier period (Table 1). We 
defined several vegetation classification (no vegetation, low 
and high vegetation types) according NOAA AVHRR veg-
etation data use guide (NOAA 2018).

During the non-growing season, both the study periods 
showed no distinct spatial distribution of moderate or high 
vegetation. Most of the low vegetation areas were observed 
in the southern, southwestern and northwestern and fewer 
parts of eastern regions of the ASB (Fig. 3b, d). The non-
growing months showed smaller vegetation regions which 
can be attributed to the permafrost period of the winter 
months. The results also showed that most of the area during 

the non-growing season, based on NDVI values, fell under 
the category of no and low vegetation with 75.23% and 
13.27% for an earlier period and 72.76% and 12.56% for 
later period, respectively (Table 1). While moderate vegeta-
tion only sparsely covered an area of 6.46% and 6.68% for 
earlier and later periods, respectively.

The comparison of vegetation conditions over the two 
periods during the growing season showed that the earlier 
study period (1982–1999) had low area coverage for no and 
moderate vegetation and high coverage for low and high 
vegetation. This suggested that the area coverage increased 
during 2000–2015 under the category of no vegetation and 

Fig. 3  Spatial distributions of average NDVI at different periods and different seasons in ASB. Growing season (a 1982–2015, b 2000–2015) 
and non-growing season (c 1982–1999, d 2000–2015)

Table 1  Area proportion 
of average NDVI range on 
different periods and different 
seasons in ASB

Vegetation types NDVI range Growing season Non-growing season

1982–1999 (%) 2000–2015 (%) 1982–1999 (%) 2000–2015 (%)

No vegetation 0–0.1 38.11 39.47 75.23 72.76
low vegetation 0.1–0.2 40.10 38.94 13.27 12.56
Moderate vegetation 0.2–0.3 16.50 16.82 6.49 6.68
High vegetation  > 0.4 2.50 1.99



309Climatic Change and Human Activities Link to Vegetation Dynamics in the Aral Sea Basin Using…

1 3Published in partnership with CECCR at King Abdulaziz University

moderate vegetation although the percentage increase was 
little.

3.2  Spatial and Temporal Trend Change of NDVI

Based on linear regression analysis, the NDVI changes 
(Fig. 4a) indicated a slightly rising trend in the northeastern, 
south, and southwestern parts of ASB during the growing 
season of the 1982–1999 period. A low positive trend at 
0.005 change rate, accounting for 49.09% of the basin, was 

observed during this period (Table 2). A high positive trend 
was only observed in 2.08% of the area. A declining trend 
in vegetation over 27.83% of the total area during the grow-
ing season, with an average trend value of -0.005 has been 
observed. Moreover, no vegetation change was noticed in 
20.87% for the earlier growing season. Furthermore, during.

During the growing season of 2000–2015, the posi-
tive NDVI trend distribution was reduced as compared to 
the 1982–1999 period. The spatial distribution showed 
clear declining rates of vegetation over most parts of the 

Fig. 4  Spatial trend distributions of mean NDVI at different periods and different seasons in ASB. Growing season (a 1982–2015, b 2000–2015) 
and non-growing season (c 1982–1999, d 2000–2015), blue color positive trend, red color negative trend, and gray color no trend

Table 2  Area proportion of 
NDVI trends on different 
periods and different seasons 
in ASB

NDVI trend types NDVI trend value Growing season Non-growing season

1982–1999 2000–2015 1982–1999 2000–2015

High negative trend – 0.1 0.12 0.05 0.11 1.12
Low negative trend – 0.05 27.83 42.72 11.27 57.24
No trend 0.00 20.87 24.21 56.55 31.08
Low positive trend 0.005 49.09 31.91 32.08 10.56
High positive trend 0.1 2.08 1.10 – –
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northwestern and southwestern parts of the basin (Fig. 4b). 
Both low and high positive trends suffered declines with 
the total area coverage of 31.91% and 1.10%, respectively. 
Conversely, the low negative trend increases sharply with 
the highest area coverage of 42.72% of the basin (Table 2).

During the non-growing season, most of the eastern and 
southeastern parts of the basin presented increasing vegeta-
tion trends, while most of the northwestern and southwestern 
regions showed no change trends in the basin for 1982–1999 
(Fig. 4b). In this period, the highest area coverage fell under 
no vegetation change accounting for more than half of the 
basin area (56.55%), while the second highest was found 
for a low positive trend with 32.08% of the area and none 
for high positive change (Table 2). While for the later study 
period (Fig. 4d), low negative vegetation change covered 
most of the northwestern, southwestern and central parts 
of the basin. The analysis showed that low negative vegeta-
tion covered more than half of the basin followed by no 
change accounting for (31.08%) (Table 2). The areas with 
the unchanged vegetation trends were mainly in large desert 
areas in the southeast and southwest parts of the basin. The 
results clearly indicated that the period of 2000–2015 suf-
fered severe vegetation decline compared to 1982–1999.

3.3  Relationship Between NDVI and Climate Factors

Climate change in its turn had a considerable impact on 
vegetation (Hu et al. 2015; Peng et al. 2013; Piao et al. 
2006). To understand the climatic impacts, we studied 
the relationship between NDVI changes in the ASB along 
with temperature, precipitation, and soil moisture, over 
two timescales (growing and non-growing). Between 1982 
and 1999, trend values for NDVI and all climate variables 
increased during the growing season (Table 3). Study 
results demonstrated that the NDVI, temperature, precipi-
tation, and soil moisture showed slight increasing trends 
during the first period; while for the later period, precipita-
tion showed slight but declining rate; while the rest of the 
variables showed slightly increased rates and soil moisture 
showed a strong increasing trend during the growing sea-
son of later period. Based on the observed slope values for 
different variables, precipitation showed the highest mag-
nitude of change for the growing season during the earlier 
period; while for the later period, soil moisture showed 
the highest magnitude of change (Table 3). During the 
non-growing season of 1982–1999, precipitation and soil 
moisture showed negative trends, while vegetation and 
temperature showed slightly increasing trends. From 2000 
to 2015, temperature showed a negative trend and vegeta-
tion, and temperature showed slightly increasing trends 
while soil moisture showed a high increasing trend. For 
the earlier period, based on slope calculations the highest 
magnitude of change was observed for precipitation which Ta
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showed a declining trend; while for the later period, the 
highest magnitude of change was observed for soil mois-
ture (Table 3).

For a more accurate determination of the spatial correla-
tion distribution between the NDVI and climate parameters, 
we calculated the correlation variation for each pixel. First, 
we categorized the correlation coefficient change as: high 
positive > 0.2, moderate positive 0.1–0.2, low positive 0–0.1, 
low negative 0–(− 0.1), moderate negative–0.1–(− 0.2), and 
high negative. < –0.2 correlation. The relationship between 
NDVI and climate parameters at different periods and two 
seasons is given in Fig. 5.

During the growing season (1982–2015), a large part 
of the area between NDVI and temperature was covered 
by negative correlation (Fig. 5a), especially in the north, 
northeast, and southwest of the basin. In contrast, the NDVI 
precipitation and soil moisture were recorded with a posi-
tive correlation across most parts of the basin except for 
some regions in the south and southeast (Fig. 5c, e). It was 
also observed that spatially precipitation and soil moisture 
with vegetation showed a similar distribution of negative and 
positive correlation over the basin area.

Vegetation and temperature showed a positive correla-
tion spatially covering most parts of the basin with only 

Fig. 5  Spatial distribution of correlation coefficients between NDVI and climate parameters in ASB at different periods and different seasons
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southwest and a small region in the east as an exception 
(Fig. 5b). NDVI showed a positive correlation over small 
regions stretching from the northeast down towards south 
and also in northeastern parts of the basin while the stretch 
from north to northwest and southeast showed negative cor-
relation (Fig. 5d). Likewise, soil moisture showed a nega-
tive correlation with vegetation for most parts of the basin 
covering from east to central and southwestern parts of the 
basin with the northwestern and southwestern patch as an 
exception (Fig. 5f).

During the growing season of 1982–1999, the NDVI 
mainly changed while precipitation and soil moisture was 
controlled in most parts of the basin. The results found 
that 23.8% (428.4 ×  103  km2) had high positive, 19.3% 
(347.4 ×  103  km2) moderate positive and 25.7% (432.6 ×  103 
 km2) had low positive correlation making up to a total of 
68.2% (1227.6 ×  103  km2) of the total area had a positive 
correlation between NDVI and precipitation where the rest 
of the 22% marked no/negative correlation. During the 
growing season 2000–2015, the effect of precipitation and 
soil moisture on the NDVI variation was relatively reduced, 
with the increased temperature effects, which is almost 
identical based on three parameters with NDVI–precipita-
tion at 48.6% (474.8 ×  103  km2) and NDVI–soil moisture at 
51.9% (934.2 ×  103  km2) and NDVI–temperature at 52.4% 
(975.6 ×  103  km2).

During the non-growing season, the NDVI changed 
under the influence of temperature showed a positive cor-
relation in the larger parts of the basin between 1982–1999 
and 2000–2015, at 87.5% (1575 ×  103  km2) and 78.8% 
(1418.4 ×  103  km2) respectively. A high positive correla-
tion between NDVI and precipitation covered almost 45% 
(810 ×  103  km2) in both study periods. NDVI and soil mois-
ture for the non-growing season showed a negative correla-
tion of 56.9% (1024.2 ×  103  km2) between 2000 and 2015, 
with 20.3% (365.4 ×  103  km2) of high negative and 15.2% 
(273.6 ×  103  km2) of moderate negative correlation. There 
was no interconnected correlation between NDVI and soil 

moisture and precipitation between 2000 and 2015 and 
approximately 5.2% (93.6 ×  103  km2) of the area.

We calculated the correlation coefficient distribution 
between mean seasonal NDVI and climate parameters over 
two time periods for different vegetation categories accord-
ing to Fig. 2 (low, moderate, and high vegetation). During 
the growing season of 1982–1999, it was observed that low 
NDVI showed a negative correlation with all three of the 
climatic parameters but with precipitation, only the correla-
tion was found significant (P < 0.05), while it showed a low 
significant positive correlation with temperature during the 
non-growing period. Moderate vegetation showed a negative 
but non-significant correlation with precipitation during the 
growing period while it showed a low significant positive 
correlation (P < 0.005) and negative correlation (P < 0.05) 
with temperature and precipitation, respectively, during the 
non-growing period. Intense vegetation showed a signifi-
cant negative correlation with temperature for both growing 
(− 0.24) and non-growing seasons (− 0.58) (Table 4).

During the second half of the study (2000–2015), the 
results revealed that temperature showed more influence 
on different vegetation categories as compared with other 
climatic variables over both growing and non-growing sea-
sons. High NDVI showed a strong negative association with 
temperature for the growing season while low and moderate 
NDVI showed significant positive correlations with temper-
ature for the non-growing seasons. Precipitation appeared 
to have a strong negative effect on high NDVI during the 
growing season. Soil moisture showed a negative but non-
significant correlation with all three vegetation categories 
during non-growing and with high NDVI for the growing 
season (Table5).

3.4  Impacts of Human Activities on the Aral Sea

Our analysis showed that climate change is one of the main 
drivers influencing vegetation cover in the ASB besides 
human activity, which is also an important factor (Tong 

Table 4  Correlation coefficients between the mean NDVI and climatic variables for different vegetation types between 1982 and 1999

*Mean significance at P < 0.005

Vegetation types Period NDVI Temperature Precipitation Soil moisture

Slope Corr. NDVI&TMP Slope Corr. NDVI&PRE Slope Corr. NDVI&SM Slope

R P value R P value R P value

Low NDVI Growing 0.0011 – 0.116 0.108 0.084 – 0.265 0.006 – 0.014 – 0.015 0.882 0.060
Non growing 0.0004 0.103* 0.000 0.072 – 0.169 0.08 – 0.272 – 0.101 0.308 0.057

Moderate NDVI Growing 0.0003 0.027 0.778 0.111 0.335 0.719 – 0.027 0.338 0.702 0.060
Non growing 0.0016 0.44* 0.000 0.080 – 0.193 0.045 – 0.231 – 0.127 0.197 0.057

High NDVI Growing – 0.0001 – 0.24* 0.000 0.091 0.171 0.077 – 0.005 0.401 0.916 0.088
Non growing – 0.0002 0.578* 0.000 0.080 0.011 0.988 – 0.062 0.021 0.83 0.097
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et al. 2018). We applied the residual trend of NDVI to 
analyze the extent of human-driven impacts on vegetation 
within the basin. The overall significant increase in NDVI 
residuals indicated that vegetation growing in these areas 
cannot only be explained by climatic factors. For instance, 
over the cropland areas, the NDVI change reflected the 
impact of human activities, which has shown to depend 
strongly on irrigation. We deduced that if the NDVI resid-
ual trend is positive, human activities must have played 
a larger role in increased NDVI values, while a negative 
slope indicated no contribution from humans (Kang et al. 
2017; Tong et al. 2018).

The spatial distribution of residual trend from 1982 to 
1999 (Fig. 6a) presented areas with significant changes in 
vegetation. The increase observed in significant residual 
trend showed enhanced vegetation predominantly stretch-
ing from over the eastern to southern parts of the basin 
while declining vegetation has only been observed in the 
western most part of the basin covering small area. From 
this, it can be conferred that the increasing trend has been 
observed where located cropland areas and density of 
population is high (Fig. 6c). The area of the significant 
increasing residual trend of NDVI occupied 37.03% of the 
total area from 1982 to 1999.

Between 2000 and 2015  years, the area with that 
showed a significant increase in vegetation based on the 
residual trend of NDVI declined and accounted only for 
2.22% of the basin area (Fig. 6d). In this study period, 
it was visible that the significant negative residual trend 
covered larger regions of the basin with a total of 39.36%. 
Clear indications of decreased vegetation through nega-
tive residual trend were observed in the north and north-
west part of the basin especially along the large desert 
and shrublands located near the Aral Sea. So, it can be 
reasoned that the impact of human activity on vegetation 
change was increasingly positive between 1982 and 1999 
but, these human activities started destructively affecting 
it after the 1999 year of change point.

4  Discussion

In this article, we have analyzed the seasonal NDVI changes 
in the ASB area, the effects of climate (temperature, precipi-
tation, and soil moisture), and the human factors over the 
two time periods (1982–2015, 2000–2015). In the growing 
season, the ASB region experienced a significant increase 
in temperature and soil moisture content during the study 
period with the precipitation levels increased during the 
pre–1999 period but decreased after 1999.

In the growth season, the positive vegetation trend 
stretches mainly from the northeast part of the basin towards 
the northwest. These areas make up the urban, cropland, and 
mountainous regions of Uzbekistan, Kyrgyzstan, and Tajik-
istan. Similarly, along the Amu Darya and the Syr Darya riv-
ers, i.e., the northern and southern parts of Uzbekistan, there 
has been increased vegetation in small areas with smaller 
patches around the Aral Sea, especially in the post-2000 era. 
From 2000 to 2012, the area of vegetation in Turkmenistan, 
which lies in the lower reaches of the Amu Darya, increased 
significantly as compared to the previous period (Xu et al. 
2016). Decreasing vegetation trends during the growing sea-
son were observed mainly in the desert areas of the basin, 
including the Ustyurt Plateau, in the southwest parts of the 
Kara-Kum and the Aral Sea. No change in the NDVI trend 
was observed in the shrublands of the Kyzyl-Kum steppe 
between 1982 and 1999, and a negative trend has been 
reported since 2000. In the non-growing season, the two 
study periods showed an opposite process. In the 1982–1999 
period, most of the area was covered by improved vegetation 
activity while the later period showed a negative trend in 
vegetation. This is attributed to continuous declines in pre-
cipitation and enhanced potential evapotranspiration result-
ing in persistent summer droughts in Central Asian region 
(de Beurs et al. 2015). The results showed heterogeneous 
distribution of vegetation trends during the two time scale 
between growing and non-growing periods attributing to the 
climatic fluctuations like thermal stress and moisture budget 

Table 5  Correlation coefficients between the mean NDVI and climatic variables for different vegetation types between 2000 and 2015

*Mean significance at P < 0.005

Vegetation types Period NDVI Temperature Precipitation Soil moisture

Slope Corr. NDVI&TMP Slope Corr. NDVI&PRE Slope Corr. NDVI&SM Slope

R P value R P value R P value

Low NDVI Growing 0.0011 0.097 0.348 0.014 0.613 0.972 – 0.193 0.154 0.606 0.027
Non growing 0.0004 0.456* 0.000 – 0.084 0.115 0.278 0.215 – 0.021 0.84 0.019

Moderate NDVI Growing 0.0003 0.066 0.522 0.056 0.176 0.464 – 0.168 0.126 0.805 0.026
Non growing 0.0016 0.492* 0.000 – 0.120 0.169 0.1 0.359 – 0.102 0.332 0.018

High NDVI Growing –0.0001 0.522* 0.000 0.102 – 0.319* 0.000 – 0.369 – 0.073 0.487 0.013
Non growing –0.0002 0.126* 0.000 – 0.162 – 0.108 0.294 0.051 – 0.077 0.461 0.041
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contributed through the midlatitude westerlies in the region 
(Bothe et al. 2011).

In the growing season, according to the results of the spa-
tial correlation of NDVI with temperature, precipitation, and 
soil moisture, NDVI formed a positive correlation with pre-
cipitation and soil moisture. In 1982–1999, NDVI recorded a 
positive correlation with 68.2% precipitation and 57.6% soil 
moisture. Vegetation changes were observed in cropland, 
grassland, shrub, and mountain areas, except desert areas in 
the southeast of the basin, which are affected by precipita-
tion and soil moisture. A study of 1960–1990 revealed that 
the climate change also impacted positively for obtaining 
high crop yield like wheat (Sommer et al. 2013a) till 1990 
until the moisture deficit from Aral Sea has not been so 
grave. The correlation between NDVI, precipitation, and soil 
moisture during the post-1999 period shows a completely 
different scenario, with a negative correlation in the cropland 
and mountain areas of the basin and a positive correlation 
in the desert areas to the south of the basin. During this 
growing season, the temperature effect was also significantly 

increased with a positive correlation in cropland and moun-
tainous areas in the north of the basin (52.4%). During the 
non-growth season, NDVI varied mainly in temperature con-
trol during both the study periods.

Our results indicated that the human effect has also 
played a considerable role in the change of NDVI, espe-
cially before 1999. There is a significant positive residual 
trend in the northeast and northwest parts of the basin. This 
territory is mainly the most densely populated and developed 
region for agricultural activity. Similarly, human impact on 
NDVI changes was observed in large and small cropland 
areas along the Amu Darya and Syr Darya rivers. During 
this period, 37.03% of the area was affected by NDVI. In 
the post-1999 period, the scale of human impact was sig-
nificantly reduced. Our results are in part consistent with 
previous researches. Irrigated arable lands, mainly cotton 
monocultures, increased by 60% from 1962 to 2002 (Lio-
ubimtseva et al. 2005). Only in 1992–2002, the total irri-
gated area increased by half a million hectares (Lioubimt-
seva and Cole, 2006). In a small part of Turkmenistan, the 

Fig. 6  Spatial distribution of residual NDVI based on Linear Regression of growing season NDVI with climate factors. a Residual NDVI 1982–
1999, b residual NDVI 2000–2015, c residual NDVI types 1982–1999, and d residual NDVI types 2000–2015
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irrigated area grew by 59% and covered 300,000 hectares 
(Glazovsky 1995). Using available data from the Food and 
Agriculture Organization of the United Nations (FAOSTAT) 
database, agricultural area on the territory of Turkmenistan 
and Uzbekistan, from 2000 to 2015, decreased by 4.68% and 
2.3%, respectively.

The climatic and human-driven changes on vegetation 
would translate into the economic disturbances like short-
term gains and long-term losses for farm holders in Uzbeki-
stan region, with Kyrgyzstan at the higher production risk 
and positive gains for Kazakhstan (Sommer et al. 2013b). 
The reduction of human impact on vegetation changes in 
the period after 2000 was also related to the reduction of 
irrigated areas and of the Amu Darya and Syr Darya water 
levels. Also, the ecosystems’ Water Use Efficiency has 
shown negative relationship with drought episodes and posi-
tive association during post drought period which reveals 
that the ecosystem responses like vegetation health gets 
impaired during water deficit periods (Zang et al. 2020; 
Zou et al. 2020). In the last few years, the river area in the 
region has decreased, and this process is mainly influenced 
by the short-term drought episode of 2000–2001 in the lower 
reaches of the Amu Darya river (Aitekeyeva et al. 2020). 
According to statistic data from Chatly hydro-station down-
stream of the Amu Darya river, during the growing season, 
the average annual water volume was 350  m3/s in 1982–1999 
and 203.75  m3/s in 2000–2015, compared to only 8.61  m3/s 
in 2000–2001 constitute water. Another negative effect of 
human activities on the development of vegetation is related 
to the poor irrigation system. This has resulted in increased 
soil salinization in cropland areas of Turkmenistan and 
Uzbekistan, respectively, to 90% and 60% for the regions 
(Akramkhanov et al. 2012; Djanibekov et al. 2016).

From 1960 to 2015, the salinity of water within the Aral 
Sea rose from 10 to 97–100 g/l (Micklin 2014). The open 
field, formed in the seabed, is covered with fine salt and 
soil particles. As the wind blows, dust extends far into the 
air (Gaybullaev et al. 2012), which, in turn, has not only 
increased the salinity of irrigated areas in the seaside region 
but also projected serious repercussions on the health of 
the population living in those areas (Ataniyazova, 2003). 
According to our analysis, the Aral Sea forest area increased 
by 5.2% over the period from 1982 to 2015 that now covers a 
total area of 432.7  km2. Due to the extensive human-driven 
activities in the region of Aral Sea, the basin underwent 
irreversible ecological destruction attributing to immense 
water withdrawals needed for large-scale reclamation of irri-
gation in the Central Asian countries (Wang et al. 2020). The 
continuous withdrawals for irrigation led to unprecedented 
shrinkage in Aral Sea volumes which due to the multiple 
interconnected factors such as global and regional atmos-
pheric circulations patterns and its associated hydrological 
and hydrometeorological variations resulted in fluctuations 

in mountain-glacial melting and dry spells in the regions 
along with frequent and intensified drought episodes (Mick-
lin, 2007).

This study revealed that the timely monitoring and analy-
sis of the regional land use and vegetation cover changes can 
aid in informed decision-making for ensuring sustainable 
and responsible use of natural resources. This study can also 
contribute to assessing the impacts of climate change on 
sustainable livelihoods and in monitoring the Sustainable 
Development Goals. This study can be utilized for scientific 
monitoring of SDG 1—No poverty, SDG 12—Responsible 
consumption and production, along with SDG 15—Life on 
land to report the climate and human-driven impacts on the 
available livelihood resources and economic set up within 
the ASB with differential effects on vegetation growth. The 
study has used remotely sensed data and hence there lies a 
limitation of not fully demonstrating the connection between 
ground data sources which can be considered for future stud-
ies to enhance the validation of the study results.

5  Conclusion

This study showed that during the growing season, the 
NDVI distribution was much better in 1982–1999 compared 
to 2000–2015, with the vegetation coverage area of 51.17% 
and 33.01% of the total area, respectively. This showed that 
the vegetation trends only increased slightly over the two 
study periods, with 0.008/10 years recorded for 1982–1999 
and 0.004/10 years for 2000–2015. The positive trend is 
mainly in cropland and grassland areas. The non-growing 
season recorded a steady vegetation trend of 56.6% of the 
area in 1982–1999 and a negative vegetation trend of 57.24% 
of the area in 2000–2015. The distribution of negative and 
stable trends is mainly attributed to the dessert and shrub 
regions. Growing season NDVI in 1982–1999 was mainly 
controlled by precipitation and soil moisture in most crop-
land, grassland and mountain areas. During the growing sea-
son 2000–2015, cropland and grassland were predominantly 
temperature controlled. In the non-growing season, almost 
the entire region formed a positive correlation between 
NDVI and temperature than other factors. Although the 
climatic variations projected evidently yet no conspicuous 
impacts could be seen on the vegetation dynamics due to 
these variations within the ASB region. The human impact 
on vegetation changes during the growing season was sig-
nificant during the study period up to 2000, whereas the 
human impact was significantly reduced during the subse-
quent study period. The residual NDVI trend in 1982–1999 
was significant in 37.03% of the region, with an increase 
of 2.22% in the study period after 2000. The residual trend 
was found to be mainly distributed along densely populated 
areas in the irrigated cropland. This study aims to improve 
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our understanding of vegetation dynamics of the ASB to 
assess the impacts projected by climatic and anthropogenic 
drivers affecting the vegetation conditions within the region. 
This study can also be implicated with food security chal-
lenges of the Aral Sea Basin as it can be used as a baseline 
by decision-making authorities and land managers to under-
stand the drivers and dynamics determining the vegetation 
changes within the basin.

Acknowledgements We are grateful to the University of the Chinese 
Academy of Sciences (UCAS) for providing academic facilities for this 
study. We are grateful to the Nukus branch of Tashkent University of 
Information Technologies named after Muhammad Al-Khwarizmi and 
 SDGnexus Network Project of the DAAD’s ‘Higher Education Excel-
lence in Development Cooperation – exceed’ program for providing 
the opportunity to work on this study.

Author’s contributions All authors have read and agreed to publish this 
version of the manuscript.

Declarations 

Conflicts of Interest The authors declare no conflicts of interest.

References

Abdurahimov BF, Kurbanov UH (2015) The response of the climate 
system to small temperature perturbations in the Aral Sea region. 
Bull Nov Comp Center, Num. Model. in Atmosph., etc., 15: 1–6. 
https:// elibr ary. ru/ conte nts. asp? id= 34222 658. Accessed Dec 2020

Aitekeyeva N, Li X, Guo H, Wu W, Shirazi Z, Ilyas S, Yegizbayeva 
A, Hategekimana Y (2020) Drought risk assessment in cultivated 
areas of central asia using MODIS time-series data. Water. https:// 
doi. org/ 10. 3390/ w1206 1738

Akramkhanov A, Kuziev R, Sommer R, Martius C, Forkutsa O, Mas-
sucati LF (2012) Soils and soil ecology in Khorezm. In: pp 37–58. 
https:// doi. org/ 10. 1007/ 978- 94- 007- 1963-7_3

Ataniyazova OA (2003) Health and Ecological Consequences of the 
Aral Sea Crisis. In: The 3rd World Water Forum Reg. Coop. in 
Shared Wat. Res. in CA

Beck PSA, Goetz SJ (2011) Satellite observations of high northern 
latitude vegetation productivity changes between 1982 and 2008: 
ecological variability and regional differences. Environ Res Lett 
6(4):045501. https:// doi. org/ 10. 1088/ 1748- 9326/6/ 4/ 045501

Berdimbetov TT, Zhu-Guo M, Chen L, Sana I (2020) Impact of cli-
mate factors and human activities on water resources in the Aral 
Sea Basin. Hydrol MDPI 7(30):14. https:// doi. org/ 10. 3390/ hydro 
logy7 020030

Berdimbetov T, Nietullaeva S, Yegizbaeva A (2021) Analysis of Impact 
of Aral Sea catastrophe on anomaly climate variables and hydro-
logical processes. Int J Geoinform 17(1):65–74. https:// journ als. 
sfu. ca/ ijg/ index. php/ journ al/ artic le/ view/ 1711. Accessed Feb 
2021

Bilal M, Nazeer M, Nichol JE, Bleiweiss MP, Qiu Z, Jäkel E, Camp-
bell JR, Atique L, Huang X, Lolli S (2019) A simplified and 
robust surface reflectance estimation method (SREM) for use 
over diverse land surfaces using multi-sensor data. Remote Sens. 
https:// doi. org/ 10. 3390/ rs111 11344

Bothe O, Fraedrich K, Zhu X (2011) Precipitation climate of Cen-
tral Asia and the large-scale atmospheric circulation. Theoret 

Appl Climatol 108(3–4):345–354. https:// doi. org/ 10. 1007/ 
s00704- 011- 0537-2

de Beurs KM, Henebry GM, Owsley BC, Sokolik I (2015) Using 
multiple remote sensing perspectives to identify and attribute 
land surface dynamics in Central Asia 2001–2013. Remote Sens 
Environ 170:48–61. https:// doi. org/ 10. 1016/j. rse. 2015. 08. 018

Deng H, Yin Y, Han X (2020) Vulnerability of vegetation activities 
to drought in Central Asia. Environ Res Lett. https:// doi. org/ 10. 
1088/ 1748- 9326/ ab93fa

Djanibekov U, Villamor G, Dzhakypbekova K, Chamberlain J, Xu J 
(2016) Adoption of sustainable land uses in post-Soviet Central 
Asia: the case for agroforestry. Sustainability. https:// doi. org/ 
10. 3390/ su810 1030

Duulatov E, Orozbaev R, Chen X, Amanambu CA, Ochege UF, 
Issanova GI, Omurakunova G (2019) Projected rainfall erosiv-
ity over Central Asia Based on CMIP5 climate models. Water. 
https:// doi. org/ 10. 3390/ w1105 0897

ESA-CCI (2017) Land cover CCI climate research data pack-
age. Retrieved from https:// maps. elie. ucl. ac. be/ CCI/ viewer/. 
Accessed 20 July 2017

Evans J, Geerken R (2004) Discrimination between climate and 
human-induced dryland degradation. J Arid Environ 57(4):535–
554. https:// doi. org/ 10. 1016/ S0140- 1963(03) 00121-6

Gallo KP, Ji L, Reed BC, Dwyer JL, Eidenshink JC (2004) Com-
parison of MODIS and AVHRR 16-day normalized difference 
vegetation index composite data. Geophys Res Lett. https:// doi. 
org/ 10. 1029/ 2003G L0193 85

Garzelli A, Aiazzi B, Alparone L, Lolli S, Vivone G (2018) Mul-
tispectral pansharpening with radiative transfer-based detail-
injection modeling for preserving changes in vegetation cover. 
Remote Sens. https:// doi. org/ 10. 3390/ rs100 81308

Gaybullaev B, Chen S, Gaybullaev D (2012) Changes in water vol-
ume of the Aral Sea after 1960. Appl Water Sci. https:// doi. org/ 
10. 1007/ s13201- 012- 0048-z

Gessner U, Naeimi V, Klein I, Kuenzer C, Klein D, Dech S (2013) 
The relationship between precipitation anomalies and satellite-
derived vegetation activity in Central Asia. Glob Planet Change 
110:74–87. https:// doi. org/ 10. 1016/j. glopl acha. 2012. 09. 007

Glantz MH (1999) Creeping environmental problems and sustain-
able development in the Aral Sea Basin. Cambridge University 
Press, Cambridge, pp 47–66

Glazovsky NF (1995) The Aral Sea basin. In: Kasperson JX, Kasper-
son RE, Turner BL II (eds) Regions at risk: comparisons of 
threatened environments. United Nations University Press, 
Tokyo (on-line edition)

Guo H, Bao A, Ndayisaba F, Liu T, Jiapaer G, El-Tantawi AM, 
De Maeyer P (2018) Space-time characterization of drought 
events and their impacts on vegetation in Central Asia. J Hydrol 
564:1165–1178. https:// doi. org/ 10. 1016/j. jhydr ol. 2018. 07. 081

Guo H, Bao A, Liu T, Jiapaer G, Ndayisaba F, Jiang L, Kurban 
A, De Maeyer P (2019) Spatial and temporal characteristics of 
droughts in Central Asia during 1966–2015. Sci Total Environ 
628:1523–1538. https:// doi. org/ 10. 1016/j. scito tenv. 2017. 12. 120

Harris I, Jones PD, Osborn TJ, Lister DH (2014) Updated high-
resolution grids of monthly climatic observations—the CRU 
TS3.10 Dataset. Int J Climatol 34(3):623–642. https:// doi. org/ 
10. 1002/ joc. 3711

Hu Z, Zhang C, Hu Q, Tian H (2013) Temperature changes in Cen-
tral Asia from 1979 to 2011 based on multiple datasets. J Clim 
27(3):1143–1167. https:// doi. org/ 10. 1175/ jcli-d- 13- 00064.1

Hu Z, Li Q, Chen X, Teng Z, Chen C, Yin G, Zhang Y (2015) Cli-
mate changes in temperature and precipitation extremes in an 
alpine grassland of Central Asia. Theor Appl Climatol 126:519–
531. https:// doi. org/ 10. 1007/ s00704- 015- 1568-x

https://elibrary.ru/contents.asp?id=34222658
https://doi.org/10.3390/w12061738
https://doi.org/10.3390/w12061738
https://doi.org/10.1007/978-94-007-1963-7_3
https://doi.org/10.1088/1748-9326/6/4/045501
https://doi.org/10.3390/hydrology7020030
https://doi.org/10.3390/hydrology7020030
https://journals.sfu.ca/ijg/index.php/journal/article/view/1711
https://journals.sfu.ca/ijg/index.php/journal/article/view/1711
https://doi.org/10.3390/rs11111344
https://doi.org/10.1007/s00704-011-0537-2
https://doi.org/10.1007/s00704-011-0537-2
https://doi.org/10.1016/j.rse.2015.08.018
https://doi.org/10.1088/1748-9326/ab93fa
https://doi.org/10.1088/1748-9326/ab93fa
https://doi.org/10.3390/su8101030
https://doi.org/10.3390/su8101030
https://doi.org/10.3390/w11050897
https://maps.elie.ucl.ac.be/CCI/viewer/
https://doi.org/10.1016/S0140-1963(03)00121-6
https://doi.org/10.1029/2003GL019385
https://doi.org/10.1029/2003GL019385
https://doi.org/10.3390/rs10081308
https://doi.org/10.1007/s13201-012-0048-z
https://doi.org/10.1007/s13201-012-0048-z
https://doi.org/10.1016/j.gloplacha.2012.09.007
https://doi.org/10.1016/j.jhydrol.2018.07.081
https://doi.org/10.1016/j.scitotenv.2017.12.120
https://doi.org/10.1002/joc.3711
https://doi.org/10.1002/joc.3711
https://doi.org/10.1175/jcli-d-13-00064.1
https://doi.org/10.1007/s00704-015-1568-x


317Climatic Change and Human Activities Link to Vegetation Dynamics in the Aral Sea Basin Using…

1 3Published in partnership with CECCR at King Abdulaziz University

Hu Y, Dao R, Hu Y (2019) Vegetation change and driving factors: con-
tribution analysis in the loess plateau of China during 2000–2015. 
Sustainability. https:// doi. org/ 10. 3390/ su110 51320

Ibrahim Y, Balzter H, Kaduk J, Tucker C (2015) Land degradation 
assessment using residual trend analysis of GIMMS NDVI3g, 
soil moisture and rainfall in Sub-Saharan West Africa from 1982 
to 2012. Remote Sens 7(5):5471–5494. https:// doi. org/ 10. 3390/ 
rs705 05471

Ichii K, Kawabata A, Yamaguchi Y (2002) Global correlation analysis 
for NDVI and climatic variables and NDVI trends: 1982–1990. Int 
J Remote Sens 23(18):3873–3878. https:// doi. org/ 10. 1080/ 01431 
16011 01194 16

Ilyas S, Xu X, Jia G, Zhang A (2019) Interannual variability of global 
wetlands in response to El Niño Southern Oscillations (ENSO) 
and land-use [Original Research]. Front Earth Sci 7:289. https:// 
doi. org/ 10. 3389/ feart. 2019. 00289

Jiang L, Guli J, Anming B, Hao G, Felix N (2017) Vegetation dynamics 
and responses to climate change and human activities in Central 
Asia. Sci Total Environ 599–600:967–980. https:// doi. org/ 10. 
1016/j. scito tenv. 2017. 05. 012 (v.2599-2600)

Kang C, Zhang Y, Wang Z, Liu L, Zhang H, Jo Y (2017) The driving 
force analysis of NDVI dynamics in the trans-boundary Tumen 
River basin between 2000 and 2015. Sustainability. https:// doi. 
org/ 10. 3390/ su912 2350

Li Z, Chen Y, Li W, Deng H, Fang G (2015) Potential impacts of cli-
mate change on vegetation dynamics in Central Asia. J Geophys 
Res Atmos 120(24):12345–12356. https:// doi. org/ 10. 1002/ 2015j 
d0236 18

Lioubimtseva E, Cole R (2006) Uncertainties of climate change in 
arid environments of Central Asia. Rev Fish Sci 14(1–2):29–50. 
https:// doi. org/ 10. 1080/ 10641 26050 03406 03

Lioubimtseva E, Cole R, Adams J, Kapustin G (2005) Impacts of cli-
mate and land-cover changes in arid lands of Central Asia. J Arid 
Environ 62:285–308. https:// doi. org/ 10. 1016/j. jarid env. 2004. 11. 
005

Liu X, Tian Z, Zhang A, Zhao A, Liu H (2019) Impacts of climate on 
spatiotemporal variations in vegetation NDVI from 1982–2015 
in inner Mongolia. China Sustainability. https:// doi. org/ 10. 3390/ 
su110 30768

Luo H, Dai S, Xie Z, Fang J (2018) NDVI-Based analysis on the influ-
ence of human activities on vegetation variation on Hainan Island. 
IOP Conf Ser Earth Environ Sci. https:// doi. org/ 10. 1088/ 1755- 
1315/ 121/3/ 032045

Micklin P (1998) Regional and International Responses to the Aral 
Crisis. PostSoviet Geogr Econ 39(7):399–417

Micklin P (2000) Managing water in Central Asia (Central Asian and 
Caucasian Prospect). The Royal Institute of International Affairs

Micklin P (2007) The Aral Sea disaster. Annu Rev Earth Planet Sci 
35(1):47–72. https:// doi. org/ 10. 1146/ annur ev. earth. 35. 031306. 
140120

Micklin P (2014) Efforts to revive the aral sea. In: The Aral Sea. 
Springer, pp 361–380 https:// doi. org/ 10. 1007/ 978-3- 642- 02356-
9_ 15

NOAA (2018) NOAA AVHRR. Normalized-difference-vegetation-
index. In: National Center for Atmospheric Research Staff (Eds). 
Last modified 14 Mar 2018

Peng S, Piao S, Ciais P, Myneni R, Chen A, Chevallier F, Dolman H, 
Janssens I, Penuelas J, Zhangf G, Vicca S, Wan S, Wang S, Zeng 
H (2013) Asymmetric effects of daytime and night-time warming 
on Northern Hemisphere vegetation. Nature 501:88–92. https:// 
doi. org/ 10. 1038/ natur e12434

Pettitt AN (1979) A non-parametric approach to the change-point prob-
lem. J R Stat Soc Ser C (applied Statistics) 28(2):126–135. https:// 
doi. org/ 10. 2307/ 23467 29

Piao S, Mohammat A, Fang J, Cai Q, Feng J (2006) NDVI-based 
increase in growth of temperate grasslands and its responses to 

climate changes in China. Glob Environ Change 16(4):340–348. 
https:// doi. org/ 10. 1016/j. gloen vcha. 2006. 02. 002

Potter CS, Brooks V (1998) Global analysis of empirical relations 
between annual climate and seasonality of NDVI. Int J Remote 
Sens 19(15):2921–2948. https:// doi. org/ 10. 1080/ 01431 16982 
14352

Rodell M, Houser PR, Jambor U, Gottschalck J, Mitchell K, Meng 
C-J, Arsenault K, Cosgrove B, Radakovich J, Bosilovich M, 
Entin JK, Walker JP, Lohmann D, Toll D (2004) The global land 
data assimilation system. Bull Am Meteorol Soc 85(3):381–394. 
https:// doi. org/ 10. 1175/ bams- 85-3- 381

Singh A, Seitz F, Schwatke C (2012) Inter-annual water storage 
changes in the Aral Sea from multi-mission satellite altime-
try, optical remote sensing, and GRACE satellite gravimetry. 
Remote Sens Environ 123:187–195. https:// doi. org/ 10. 1016/j. 
rse. 2012. 01. 001

Sommer R, Glazirina M, Yuldashev T, Otarov A, Ibraeva M, Mar-
tynova L, Bekenov M, Kholov B, Ibragimov N, Kobilov R, 
Karaev S, Sultonov M, Khasanova F, Esanbekov M, Mavlyanov 
D, Isaev S, Abdurahimov S, Ikramov R, Shezdyukova L, de 
Pauw E (2013a) Impact of climate change on wheat productivity 
in Central Asia. Agric Ecosyst Environ $V178:78–99

Sommer R, Glazirina M, Yuldashev T, Otarov A, Ibraeva M, Mar-
tynova L, Bekenov M, Kholov B, Ibragimov N, Kobilov R, 
Karaev S, Sultonov M, Khasanova F, Esanbekov M, Mavlyanov 
D, Isaev S, Abdurahimov S, Ikramov R, Shezdyukova L, de 
Pauw E (2013b) Impact of climate change on wheat productivity 
in Central Asia. Agric Ecosyst Environ 178:78–99. https:// doi. 
org/ 10. 1016/j. agee. 2013. 06. 011

Sun W, Song X, Mu X, Gao P, Wang F, Zhao G (2015) Spatiotempo-
ral vegetation cover variations associated with climate change 
and ecological restoration in the Loess Plateau. Agric for Mete-
orol 209–210:87–99. https:// doi. org/ 10. 1016/j. agrfo rmet. 2015. 
05. 002

Tong S, Zhang J, Bao Y, Lai Q, Lian X, Li N, Bao Y (2018) Analyzing 
vegetation dynamic trend on the Mongolian Plateau based on the 
Hurst exponent and influencing factors from 1982–2013. J Geog 
Sci 28(5):595–610. https:// doi. org/ 10. 1007/ s11442- 018- 1493-x

Tucker CJ, Vanpraet CL, Sharman MJ, Van-Ittersum G (1985) Satel-
lite remote sensing of total herbaceous biomass production in the 
Senegalese Sahel: 1980–1984. Remote Sens Environ 17:233–249. 
https:// doi. org/ 10. 1016/ 0034- 4257(85) 90097-5

Unger-Shayesteh K, Vorogushyn S, Merz B, Frede H-G (2013) Intro-
duction to “Water in Central Asia—Perspectives under global 
change.” Glob Planet Change 110:1–3. https:// doi. org/ 10. 1016/j. 
glopl acha. 2013. 09. 016

Wang X, Chen Y, Li Z, Fang G, Wang F, Liu H (2020) The impact of 
climate change and human activities on the Aral Sea Basin over 
the past 50 years. Atmos Res. https:// doi. org/ 10. 1016/j. atmos res. 
2020. 105125

Xu H-J, Wang X-P, Zhang X-X (2016) Decreased vegetation growth 
in response to summer drought in Central Asia from 2000 to 
2012. Int J Appl Earth Obs Geoinf 52:390–402. https:// doi. org/ 
10. 1016/j. jag. 2016. 07. 010

Yin G, Hu Z, Chen X, Tiyip T (2016) Vegetation dynamics and its 
response to climate change in Central Asia. J Arid Land 8(3):375–
388. https:// doi. org/ 10. 1007/ s40333- 016- 0043-6

Yuan X, Cui WW, Meng J, Kurban F, De Maeyer AP (2017) Vegetation 
changes and land surface feedbacks drive shifts in local tempera-
tures over Central Asia. Sci Rep 12(7(1)):3287. https:// doi. org/ 10. 
1038/ s41598- 017- 03432-2

Zang YX, Min XJ, de Dios VR, Ma JY, Sun W (2020) Extreme drought 
affects the productivity, but not the composition, of a desert plant 
community in Central Asia differentially across microtopogra-
phies. Sci Total Environ 717:137251. https:// doi. org/ 10. 1016/j. 
scito tenv. 2020. 137251

https://doi.org/10.3390/su11051320
https://doi.org/10.3390/rs70505471
https://doi.org/10.3390/rs70505471
https://doi.org/10.1080/01431160110119416
https://doi.org/10.1080/01431160110119416
https://doi.org/10.3389/feart.2019.00289
https://doi.org/10.3389/feart.2019.00289
https://doi.org/10.1016/j.scitotenv.2017.05.012
https://doi.org/10.1016/j.scitotenv.2017.05.012
https://doi.org/10.3390/su9122350
https://doi.org/10.3390/su9122350
https://doi.org/10.1002/2015jd023618
https://doi.org/10.1002/2015jd023618
https://doi.org/10.1080/10641260500340603
https://doi.org/10.1016/j.jaridenv.2004.11.005
https://doi.org/10.1016/j.jaridenv.2004.11.005
https://doi.org/10.3390/su11030768
https://doi.org/10.3390/su11030768
https://doi.org/10.1088/1755-1315/121/3/032045
https://doi.org/10.1088/1755-1315/121/3/032045
https://doi.org/10.1146/annurev.earth.35.031306.140120
https://doi.org/10.1146/annurev.earth.35.031306.140120
https://doi.org/10.1007/978-3-642-02356-9_15
https://doi.org/10.1007/978-3-642-02356-9_15
https://doi.org/10.1038/nature12434
https://doi.org/10.1038/nature12434
https://doi.org/10.2307/2346729
https://doi.org/10.2307/2346729
https://doi.org/10.1016/j.gloenvcha.2006.02.002
https://doi.org/10.1080/014311698214352
https://doi.org/10.1080/014311698214352
https://doi.org/10.1175/bams-85-3-381
https://doi.org/10.1016/j.rse.2012.01.001
https://doi.org/10.1016/j.rse.2012.01.001
https://doi.org/10.1016/j.agee.2013.06.011
https://doi.org/10.1016/j.agee.2013.06.011
https://doi.org/10.1016/j.agrformet.2015.05.002
https://doi.org/10.1016/j.agrformet.2015.05.002
https://doi.org/10.1007/s11442-018-1493-x
https://doi.org/10.1016/0034-4257(85)90097-5
https://doi.org/10.1016/j.gloplacha.2013.09.016
https://doi.org/10.1016/j.gloplacha.2013.09.016
https://doi.org/10.1016/j.atmosres.2020.105125
https://doi.org/10.1016/j.atmosres.2020.105125
https://doi.org/10.1016/j.jag.2016.07.010
https://doi.org/10.1016/j.jag.2016.07.010
https://doi.org/10.1007/s40333-016-0043-6
https://doi.org/10.1038/s41598-017-03432-2
https://doi.org/10.1038/s41598-017-03432-2
https://doi.org/10.1016/j.scitotenv.2020.137251
https://doi.org/10.1016/j.scitotenv.2020.137251


318 T. Berdimbetov et al.

1 3 Published in partnership with CECCR at King Abdulaziz University

Zavialov PO, Kostianoy AG, Emelianov SV, Ni AA, Ishniyazov D, 
Khan VM, Kudyshkin TV (2003) Hydrographic survey in the 
dying Aral Sea. Geophys Res Lett. https:// doi. org/ 10. 1029/ 2003g 
l0174 27

Zhou Y, Zhang L, Fensholt R, Wang K, Vitkovskaya I, Tian F (2015) 
Climate contributions to vegetation variations in Central Asian 
drylands: pre- and Post-USSR Collapse. Remote Sens 7(3):2449–
2470. https:// doi. org/ 10. 3390/ rs703 02449

Zmijewski K, Becker R (2014) Estimating the effects of anthropogenic 
modification on water balance in the Aral Sea watershed using 
GRACE: 2003–12. Earth Interact 18(3):1–16. https:// doi. org/ 10. 
1175/ 2013e i0005 37.1

Zou J, Ding J, Welp M, Huang S, Liu B (2020) Assessing the response 
of ecosystem water use efficiency to drought during and after 
drought events across Central Asia. Sensors (basel, Switzerland). 
https:// doi. org/ 10. 3390/ s2003 0581

https://doi.org/10.1029/2003gl017427
https://doi.org/10.1029/2003gl017427
https://doi.org/10.3390/rs70302449
https://doi.org/10.1175/2013ei000537.1
https://doi.org/10.1175/2013ei000537.1
https://doi.org/10.3390/s20030581

	Climatic Change and Human Activities Link to Vegetation Dynamics in the Aral Sea Basin Using NDVI
	Abstract
	1 Introduction
	2 Study Area, Materials and Methods
	2.1 Study Area
	2.2 Datasets
	2.3 Methods
	2.3.1 Determination of Change Point
	2.3.2 Linear Regression Analysis
	2.3.3 Residual Trend


	3 Results
	3.1 Distribution of Vegetation Along Vegetation Types
	3.2 Spatial and Temporal Trend Change of NDVI
	3.3 Relationship Between NDVI and Climate Factors
	3.4 Impacts of Human Activities on the Aral Sea

	4 Discussion
	5 Conclusion
	Acknowledgements 
	References




