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Abstract

The state of Kerala attracts a large number of in-migrant workers from different parts
of India, and available estimates show that there were more than 25 lakh in-migrant
workers in Kerala. While higher wage rate in Kerala is regarded as a major pull fac-
tor of migration, it is not clear whether in-migrants in Kerala receive wages at par
with the natives or above the minimum wages stipulated by the state government
for various sectors. Also, there is little evidence available on the wage differentials
among the in-migrant workers. Drawing on a primary study conducted at various
sites of Kozhikode district in Kerala, this paper attempts to address these questions.
The paper illustrates that wage differentials exist at two levels. First is the wage dif-
ferential between natives and in-migrants irrespective of their skill levels. Second
is the wage differential that exists between migrant workers from West Bengal and
other states. Further, it shows that the wage differentials among in-migrants workers
can be attributed to discrimination that face by being not sufficiently integrated to
the Kerala society. The results shed light on the need for state interventions to level
the wages of migrants and natives on the one hand design programs for the integra-
tion of guest workers who still live on the margins of Kerala society on the other.
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1 Introduction

Although Kerala’s net migration rate is considerably higher than other states of
India, of late the state started attracting large number of migrants from different
parts of India. There is no proper database on the in-migrant workers in Kerala.
Gulati Institute of Finance and Taxation (2013) estimated that there were more
than 25 lakh in-migrant workers in Kerala in 2012 who were employed mostly in
informal sectors. Interestingly, at the same time, there were as much as 21 lakhs
out-migrants from Kerala to various parts of the world in 2014 (Rajan 2016).
Kerala is reported to be facing a scarcity of manual labors, which might explain
the reason for the in-migration to the state. There are several other pull factors
that attract migrant workers to Kerala. They include availability of work and bet-
ter wages and conditions of work and living. Lack of employment opportunities
and lower wages at the place of origin have been the major push factors (Naray-
ana et al. 2013).

The history of migration of workers to Kerala from other states can be traced
back to 1980s. The migrant workers during this period were mostly from the
states of Tamil Nadu, Karnataka, and Andhra Pradesh. However, this trend has
changed since the last 10 years and one of the most striking features of the labour
market in Kerala in the past decade was the increasing presence of migrant work-
ers from the states like West Bengal, Uttar Pradesh, Odissa, Gujarat, Assam,
Rajasthan, and from the neighboring country of Nepal. They are usually engaged
in manual labor such as earth work, road works, unskilled works in construction,
and in services like ironing clothes, and as cooks and waiters in small hotels and
eateries, brick kilns, jewellery work, bakeries, vegetable shops, and in manufac-
turing industries (Kumar 2011).

The in-migrants who come to Kerala are socially, culturally and linguistically
a heterogeneous group. Prasad (2016) noted that the in-migrant workers in Ker-
ala are linguistically categorised as Hindi speaking people. But they are not a
homogeneous group linguistically and culturally, and among them, there are peo-
ple who speak Assamese, Bangla, Oriya, Bhojpuri, Nepali, Gujarati, and several
other tribal languages. Also there are people who do not know Hindi language.
Normally migrants use their local language to converse among themselves. Since
Hindi is not known to all natives, it is often difficult to have interactions between
the migrants and natives. Only those migrants who get a chance to mingle with
the native people learn the local language of Malayalam. The image and label
of in-migrants as “outsiders” who do not share the language and culture of the
natives have led to their discrimination in various spheres of their life and work
in Kerala. Studies have highlighted the discriminatory practices of natives and
state authorities including the police against the in-migrants. For instance, Kumar
and Pramod (2016) found that the native people and the police set eyes on them
with suspicion. Non-proficiency of the regional language also sometimes makes
it difficult for them to prove their innocence in front of police and legal system,
if booked for any alleged violation of laws. The language barrier further leads
to stress and strain as they are not able to communicate properly with health
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providers, merchants, bankers, and policemen. These make them feel alienated as
well (Prasad 2016). Also, studies showed that they tend to ignore the living con-
ditions, housing facilities, and sometimes even health to earn and save as much
as money as possible during their stay in Kerala (Prasad 2016; Narayana et al.
2013). This attitude of the workers is often exploited by the contractors, employ-
ers and even house owners and it increases their precarity and informality at work
and the hardship of living. There are also several factors that influence the work
and wage of the in-migrant workers, namely nature of work, gender, and working
hours in a day, skill level and willingness to do overtime work. Besides these,
variables like age, marital status, education, caste, geography, working days in a
week and bargaining power have significant influence on the wage rate and wage
differences with regard to in-migrant laborers. For instance, studies have shown
that the migrant workers concentrate largely in the lower-income labor market
with higher risks of exposure to unsafe working condition (Chatterjee 2000).

While higher wage rate in Kerala is one of the major pull factors of migration, it
is not clear whether in-migrants in Kerala receive wages at par with the natives or
above the minimum wages stipulated by the state government for various sectors.
Available studies on wage differentials in Kerala focused on specific sectors, espe-
cially the construction sectors (Beju and Shamna 2019, Parida et al. 2020). Given
this background, this paper attempts to examine whether there are differentials in the
wages of in-migrant workers as compared to the natives. If so, what could this dif-
ferential be attributed to? To be more specific, whether in-migrant workers in Kerala
face wage discrimination based on the markers of region and whether there are fur-
ther differences in wages within in-migrants based on their skill level, language, reli-
gion, ethnicity and caste.

2 Methods

The paper is based on a primary study conducted in Kozhikode district which is
situated in the Northern part of Kerala. The selection of respondents was based on
quota sampling method as there was no systematic information on in-migrant work-
ers available. Data were collected from 300 in-migrant workers those who worked in
primary, secondary, and tertiary occupational sectors using a semi-structured inter-
view schedule from different sites in the district. Care was given to include respond-
ents from all three occupational sectors. Primary occupational sector covered in this
study includes fisheries and quarrying and allied sectors. Secondary occupational
sector includes manufacturing of footwear, iron and steel, plastic, ice cubes, and
gold works. Tertiary occupational sector includes mechanics, electricians and those
who worked in eateries, restaurants, hotels, etc.

2.1 The Decomposition of Wage Differentials

In order to estimate the wage discrimination between in-migrant workers, Blinder
(1973) and Oaxaca (1973) decomposition method is used in our study. Blinder
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(1973) has explained the wage discrimination among white and black in USA, the
important factors were education, work experience, and family background such
as parents’ income and educational attainment, and the place of birth. The whites
have upper hand in these factors, on the other hand, Blacks generally gain less wage
by having an educated father, lose more by coming from a poor family, and gain
less by being born in an urban area (Blinder 1973). This method is used widely to
understand the wage differentials and its linkages to factors such as discrimination
in various contexts across the world. A study conducted in Spain on gender wage
discrimination using the model and found a male—female average wage differential
(Gardeazabal and Ugidos 2003). The same result found in Bangladesh as well that
there exists a large wage gap between male and female, and it is more in urban areas
than rural areas (Ahmed and Maitra 2010). The gender-based wage differential also
explained with the decomposition method, an empirical study on gender wage dis-
crimination in Indian urban labor market with the unit level data sets of 50th, 61st,
and 68th NSSO employment and unemployment survey, reveals that there is a sig-
nificant average gap between male and female workers in urban labor market during
the study period, however, the wage gap is declining over the period of time (Padhi
et al. 2019). In addition, Agrawal (2014) and Sengupta and Das (2014) also found
the wage differential between male and female in both rural and urban areas. The
wage discrimination is high among rural workers in both public and private sec-
tors as compare with the discrimination among urban workers (Das 2012). Singh
and Pattanaik (2020) and Duraisamy and Duraisamy (2017) by using NSSO rounds
and Periodic Labor Force Survey (PLFS), they explained the wage discrimination
between ST/SC and Gen/OBC women workers and it is significantly increased last
decade (1999-2000 and 2017-2018) and the less paid workers face higher discrimi-
nation than the high paid workers. Madheswaran and Attewell (2007) illustrated the
discrimination against SC/ST workers is higher in private sector than in public sec-
tor in urban labor market in India. The contribution of endowment difference to raw
wage gap is higher in public sector.

There are studies on wage discrimination among migrant workers from various parts
of the world. A study conducted in China found that the wage gap between migrant
and urban workers. The urban workers make more than migrant workers, which sug-
gests wage discrimination (Lu and Song 2006). The wage rate and compensation rate
differentials between migrant and urban workers are quite large in China. Urban work-
ers’ hourly wage is almost double than the migrants, while their hourly compensation
is three times more (Lee 2012). However, very few studies that have used decompo-
sition method in order to decompose the wage gap into endowment component and
discrimination component are found in the Indian context. Khan (2016) analyzed the
wage differential between migrant and non-migrant workers in India’ labor market with
NSSO 55th (1999-2000) and 64th (2007-2008) rounds and found that there was wage
discrimination between migrant and non-migrant workers. Further, the study found
that the female, SC and ST migrant workers faced more wage disadvantages. How-
ever, Parida (2020) studied on migrant and non-migrant wage differential using the
data from NSSO 55th and 64th rounds of migration specific surveys and the results
are contradictory to other wage differential studies. For instance, the study found that
the regular salaried and casual migrant workers earned more than non-migrants in all
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occupational sectors except agriculture and fishery. These earning differences were the
highest among highly skilled workers and vice versa. By using Oaxaca and Ransom
decomposition method, Thorat et al. (2021) analyzed the wage discrimination in public
and private sector in India and found a wage gap between SC and Higher Caste (HC)
and that the incidence of discrimination is more in private sector. A study conducted in
Kerala found that there is wage differential existing among migrant and local workers
in construction sector and illustrated that the migrant workers receive 31 percent less
wages than the local workers for the same work (Beju and Shamna 2019). Another
study also found that wage differentials exist between migrant and non-migrant workers
in the construction sector in Kerala and the local workers earn 1.5 times more than the
counterpart migrant workers (Parida et al. 2020).

This paper used the decomposition method to analyze the wage gap between the
Bengali and non-Bengali migrant workers in Kerala. Perhaps, this will be the first
study to attempt the discrimination between the interstate migrant workers in Ker-
ala. This technique decomposes the gross amount of wage differential into endow-
ment difference and discrimination coefficient in the labor market. Theory of Dis-
crimination is originated from Becker’s (1971) seminal work. According to Becker,
the gross wage differential between male and female is considered as discrimination.
In our study, we decompose the gross wage differential between Bengali and non-
Bengali of in-migrant workers. Hence, the gross wage (G) can be written as

Wy — W, W, /4 W,
WnB WnB WnB WnB

This (1) can be rewritten as:

WB
G+1=W )

nB

Taking natural log of Eq. 2 yields the results as follows:

W,
Ln(G+ 1) = Lr1< B > =LnWy — LaW, 3)
WnB

Further, Eq. (3) is subjected into Mincer’s (1974) semi-logarithmic augmented
wage function. Hence, the separated wage equations for Bengali’s and non-Bengali’s
are as follows.

nWy = B Xp + € engali’s wage equation 4
In Wy PpXp + €5 (Bengal ) “4)

In WNB = 2 ﬂANBfNB +eng  (Non-Bengali’s wage equation) 5)

Both Egs. (4) and (5) are estimated via ordinary least squares (OLS). Here InW
denotes the geometric mean of average amount of wage, X is the vector of mean
values of the regressors, ﬁ is the vector of estimated coefficients, and ¢ is the error
term. Within this framework, the gross wage differential in the logarithmic term is
given by
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W — — - o
LnG+ 1) = Ln(_B ) =Ln Wy —LoWyg = D fsXg — ) AsXas  (6)

WNB

Assuming that the difference in the coefficients of the two average amounts of wage
functions is considered as a priori evidence of discrimination, then this can be writ-
ten as:

Ap = Py — Bas @)

Suppose for a given endowment, if “NB” have an opportunity to get wage like “B,”
then the wage outcome would be as follows:

LHWNB = Z ﬁB}_(NB (3)
Now, the a priori evidence in absence of discrimination is as follows:
ﬁNB = ﬁB - Aﬁ &)
Substituting Eq. 9 in Eq. 6

Ln(G + 1) = LnWy — LnWy, = [Z Py <§B - iNB)] + [Z Xng (B — ﬁNB)]
(10)
In Eq. (10), the first term on the right hand side can be interpreted as endowment
differences and the second term has been regarded as the discrimination coefficients.

2.2 Limitations

The study could not present a disaggregated picture of wage differentials across
individual state of origin and social groups, particularly for scheduled castes and
scheduled tribes since the sample size turned out to be very thin when disaggre-
gated. Categories of SC and ST are clubbed due to this limitation. In some sectors
like plastic manufacturing, there were only in-migrant workers. Hence, comparison
of wages of native and in-migrant workers was not possible. Further, the paper could
not verify minimum wages across all occupational sectors and hence, comparison of
workers’ wages with minimum wages was limited to skill levels.

3 Results

The sample contained in-migrant workers from the different states of India. Accord-
ing to District Labor Statistics, nearly 50 percent of total migrant workers in
Kozhikode are from West Bengal. Out of the 300 workers interviewed, most of the
workers were from West Bengal, followed by Bihar, Assam, Jharkhand, UP, Odisha,
and Gujarat. This is in tune with the general trend in the district. They worked in
different occupational sectors in the district, but the migrants from Uttar Pradesh
were found only in manufacturing sector. They are mostly from rural areas and a
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Table 1 Distribution of respondents by their demographic and socioeconomic characteristics (N =300)

WB % Bihar % Jharkhand% Assam% U.P % Odisha% Gujarat % Total %

Sector of place of origin

Urban 1.60 5.70 2
Rural 98.40 94.30 100 100 100 100 100 98
Religion

Hindu 4520  48.60 91.40 69.40 7140 100 100 58.30
Muslim 54.80 51.40 8.60 30.60 28.60 41.70
Caste category

General 38.10 12.90 5.70 44.40 61.90 100 31.70
OBC 23 80 14.30 41.70 3330 40 38
SC 38.90 7.10 2.90 11.10 4.80 60 21
ST 77.10 2.80 9.30
Age

15-20 4 15.70 2.90 8.30 9.50 14.30 7.70
21-25 27 27.10 34.30 47.20 33.30 28.60 30.30
26-30 33.30 25.70 28.60 19.40 3330 20 42.90 29.30
31-35 10.30 24.30 17.10 8.30 9.50 20 14.30 14.30
36-40 11.10 5.70 8.60 5.60 4.80 40 8.70
41-45 5.60 1.40 8.60 8.30 4.80 20 5.30
46-50 5.60 2.30
Above 50  3.20 2.80 4.80 2
Migrated alone or with family

Individual  99.20 98.60 100 100 100 100 85.70 99
Family 0.80 1.40 14.30 1
Marital status

Single 29.40 37.10 11.40 50 47.60 20 57.10 33.30
Married 70.60 62.90 88.60 50 5240 80 42.90 66.70

Source: Authors’ calculation based on primary data, 2018

very few hail from the urban areas (see Table 1). More number of the respondents
were Hindus. There was an equal share of Hindu and Muslim in-migrants in the
sample from the states of WB and Bihar. All the workers from Odisha and Gujarat
were Hindus and a large number of migrants from Jharkhand and Assam were also
Hindus. Among social groups other backward class (OBC) had the highest share,
primarily due to the higher representation of Muslims in the sample, which is fol-
lowed by schedule caste (SC) and schedule tribe (ST). While a large number of OBC
workers were from Bihar, ST migrants were from Jharkhand. All the respondents
in the sample from Gujarat belonged to general category (read forward castes). The
highest share of SC workers was found among migrants from Uttar Pradesh. Major-
ity of the in-migrant workers were in the age-group of 21 to 30 years, and a few
were in the age-group of 41 and above. Most of the respondents migrated without
family members.
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Fig. 1 Push and Pull factors of migration. Source: Primary Data, 2018

As it is true for any migration there were several push and pull factors that deter-
mined the migration to Kerala. Push factors were unemployment, less availability
of work, irregular work, poverty and family pressure and lower wages at the place
of origin (see Fig. 1). Pull factors included better wages, availability of work, better
conditions of work, and favorable climatic conditions in Kerala.

3.1 Occupation and Nature of Employment

The respondents mostly were casual workers who worked in the lower strata of pri-
mary, secondary and tertiary occupational sectors. Majority of them were full time
migrants who worked throughout the year (Table 2). Their duration of stay ranged
from less than a year to more than 10 years. Only a small percentage of workers in
the sample worked in Kerala for less than a year. Nearly 22% of them had worked
for more than ten years. The sample had nearly 11% of seasonal migrants, and they
all were from the state of West Bengal. While migrants who had specific skill sets
tended to find the same kind of work, what they had been doing at the place of origin
unskilled and semi-skilled workers took up whatever works that were available for
them in any sector at the place of destination. Nearly one-third of the respondents
worked in manufacturing sector who were mostly from the states of Uttar Pradesh,
Bihar, Jharkhand, and Assam. Other major sectors where respondents in the sample
worked were fisheries, construction and quarrying and allied sectors. A large num-
ber of migrants from WB were in construction sector followed by fishing and allied
sector. Migrants from Odisha in the sample worked only in Fisheries and quarrying
sectors.

3.2 Average Wage Differential of Migrant Workers

We have attempted to understand the wage differences of migrants within the group
of migrants and as compared to the natives. It should be mentioned that we have
not controlled the years of experience, which will definitely have a minor impact
on the wages. What we present here is the wage differential for same category of
occupation within and across sectors. Wage differentials were estimated for skilled
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Table 2 Nature of migration and work across the State of origin

W.B  Bihar Jharkhand Assam U.P Odisha Gujarat Total

Nature of migration

Full time 74.60 100 100 100 100 100 100 89.4
Seasonal 25.4 10.6
Employment status before migration

Employed 90.5 614 914 54.4 28.6 100 57.1 74.3
Unemployed 9.5 386 8.6 55.6 714 429 26.7
Previous jobs before coming to Kerala

Unemployed 9.5 386 8.6 55.6 714 429 26.7
Agriculture and Allied 389 27.1 68.6 19.4 9.5 40 343
Fishing and Allied 36.5 5.6 40 16.7
Manufacturing 4 43 5.7 2.8 19 5
Construction 6.3 157 29 2.8 20 28.6 8
Hotel 8 14 8.3 1.7
Service 4.0 129 8.6 5.6 28.6 7.0
Transportation and allied 5.7 i
Present Nature of Employment

Fishing and Allied Sectors 37.3 60 16.7
Quarrying and Allied Sectors 1.6 40 45.7 5.6 40 16.7
Manufacturing Sector 6.3 48.6 514 52.8 100 33.3
Construction 397 0 16.7
Hotel/Restaurant 103 5.7 36.1 10
Shop Keeper 1.6 5.7 100 4.3
Electrician and Mechanic 32 29 5.6 2.3
Duration of present employment

Less than 1 year 7.9 18.6 143 11.1 4.8 11

1 to 2 years 9.5 114 343 19.4 4.8 133
3 to 4 years 16,7 229 28.6 333 14.3 28.6 21.3
5 to 6 years 183 214 143 13.9 286 20 18.3
7 to 8 years 4.8 143 29 8.3 143 20 28.6 8.7
9 to 10 years 6.3 1.4 2.8 14.3 28.6 5
More than 10 years 365 100 57 11.1 19.0 60.0 14.3 22.3

Source: Authors calculation based on primary data, 2018

categories of work across education. Table 3 shows the average wage differential by
education and skill level. Skill level was a major factor that determined the wages
of workers. For instance, skilled migrant workers who were goldsmiths, operator
driver of earth movers, masons, footwear designers, mechanics, cooks, and electri-
cians received wages which were much above the stipulated minimum wages fixed
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by the state for the skilled categories of work.! Among semi-skilled workers, fisher-
men received the highest wages [which was also higher than the skilled categories],
mainly because of the scarcity of workers in the sector due to the dangerous condi-
tions of work. Their wages were notably more than the minimum wages stipulated
for semi-skilled occupation in Kerala, which is Rs. 425 as of 2017. However, work-
ers in the semi-skilled categories such as steel polishing and aluminum moulding
received wages less than that of the stipulated minimum wages. Interestingly, all
unskilled workers in the sample received wages more than the stipulated minimum
wages, which was Rs. 360/-. Also, their mean wages were more than that of some
of the semi-skilled workers. However, it should be noted that their work was highly
precarious and irregular in nature as compared to the semi-skilled and unskilled
workers. Interestingly, level of education was not a major factor in determining
wages in all these sectors. This is primarily due to the fact that these workers are
in the lower rung of the job hierarchy in the sector. For instance, we have not found
any migrant worker in the category of supervisor or above where educational entitle-
ments may be translated in to remunerative wages.

Further, we have examined the wage differentials between migrants and natives
(Table 4). It is clear from the table that both the migrants and the natives receive
notably higher wages than the minimum wages stipulated for respective skill cat-
egory. However, we have found significant wage differentials between the wages of
the migrants and the natives. Our survey showed that while the native workers got an
average wage of Rs. 1000 for skilled jobs it was around Rs. 700 for migrant workers.
The average daily wages of native mechanics and electricians was Rs. 900, whereas
it was Rs. 583 for the migrant mechanics and Rs. 500 for migrant electrician. Simi-
larly, the average daily wages of native driver, goldsmith, mason, and footwear
designer was Rs. 1000 and a restaurant cook was Rs.1200, whereas it was Rs. 560
for a migrant cook, which is less than half of what the native workers earn although
it was more than the minimum wage in Kerala. This trend was found true for semi-
skilled and unskilled categories of work as well. For instance, native fishermen
received notably higher wages than their migrant counterparts. Similarly, all migrant
semi-skilled footwear makers received wages more than the minimum wages but
less than the wages of the natives. While the native workers in the unskilled cate-
gory construction work (helpers) received Rs. 750 per day, their migrant counterpart
received only Rs.530. Such differences in wages between natives and migrants were
found in all sub-categories of unskilled work.

3.3 Wage Differentials among In-Migrant Workers

We found from the primary survey that migrants from West Bengal work in major-
ity of the occupational sectors, such as fisheries, quarry and allied, construction,

! The Labour Department of Kerala has minimum wages stipulated and implemented for skilled, semi-
skilled and unskilled jobs in Kerala. The department categorized jobs and fixed Rs. 515 for skilled; Rs.
425 for semi-skilled and Rs. 360 for unskilled categories of work as of 2016-2017. For details, see.
http://www.Ic.kerala.gov.in/index.php/minimum-wages-notifications.
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Table5 Determinants of wage among migrant workers in Kerala

Variables Pooled Migrant workers ~ West Bengal Migrant Non-Bengal Migrant
workers workers

Ln wage Coef Coef Coef

Age 0.002931* (0.001763) 0.001079 (0.001623) 0.001553 (0.002364)

Education Qualification

Tlliterate (Reference)

Literate —0.02361 (—0.028843) —0.01525 (-0.028311) —0.0018 (—0.036471)

Local Language Support

Yes (Reference) No ~ —0.09204%** —0.05721* (- 0.03426)  —0.11952%**
(—0.032462) (—0.040685)

Religion

Hindu (reference)

Muslim —0.02166 (—0.033606)  0.178176*** (0.048998) —0.11131** (—0.042019)

Category

General (reference)

OBC —0.0466 (—0.03136) —0.02653 (-0.032818)  0.050172 (0.041252)

SC/ST —0.03224 (- 0.040073)  0.085614 (0.055612) —0.09978** (—0.046556)

Skill level

Unskilled (reference)

Skilled 0.131132%* (0.046923)  0.160404*** (0.052799) 0.232712*** (0.057693)

Semi-skilled 0.223635%** (0.033423)  0.230865*** (0.074465)  0.006047 (0.043615)

Constant 6.448214%** (0.079181)  6.46306*** (0.10252) 6.381377%** (0.098641)

F 23 27.32 7.7

Pr>F 0 0 0

R2 0.4432 0.7038 0.3209

N 300 126 174

Source: Author’s calculation based on Primary Data, 2018
P<0.001 *** P<0.050 ** P<0.100*

manufacturing and service sectors. However, the other state migrants (non-Bengali
workers) are concentrated only in specific occupations with limited population.
Moreover, migrant workers from West Bengal enjoy a social, economic and cultural
upper hand because of their long stay in Kerala, knowledge of local language and
the social capital, and network they have with natives, employers and contractors
as compared to other migrants from states. Hence, it is important to know whether
non-Bengali migrants are facing discrimination as compared to the majority group
(Bengali), since they have an upper hand in the occupational sectors. Therefore,
we attempted to examine the wage gap between migrants from West Bengal and
other states. The econometric analysis confirms that wage differentials exist between
in-migrant workers of same skill levels especially the major difference is found
between Bengali and non-Bengali workers (Table 5).

The results show a direct correlation between age of the respondents and their
wages. For instance, if the age of the migrant worker increases by 1 percent his/

€\ Springer | -



The Indian Journal of Labour Economics (2021) 64:981-997 995

Table 6 Oaxaca—Blinder

decomposition results (as %) Amount attributable 221
Due to endowments (E) 12.4
Due to coefficients (C) 9.7
Shift coefficient (U) 8.2
Raw differential (R) {E+C+U} 30.2
Adjusted differential (D) {C+U} 17.9
Endowments as % total (E/R) 40.9
Discrimination as % total (D/R) 59.1

Source: Author’s calculation based on Primary Data, 2018
U =unexplained portion of differential
(Difference between model constants)

D =portion due to discrimination (C + U)

her wage increases by 0.29 percent in pooled migrant workers, 0.1 percent in
Bengali workers and 0.16 percent in non-Bengali workers. It could be attributed
to the experience that a worker gains with age. This was true for all workers.
As it is already discussed, decomposition analysis also showed that educational
qualification was not a major determinant of wages for migrant workers since the
respondents in Kerala were in lower rung of the occupational hierarchy. Interest-
ingly, knowledge of local language was an important determinant of wages. The
pooled sample result showed the migrant workers who knew the local language
earned 9.2 percent more wages than those who did not speak the local language.
Among migrants higher wages attributable to knowledge of local language was
more for migrants from WB than other states. Knowledge of local language might
have helped them to negotiate for better wages. Muslim migrants earned wages
less than that of the Hindu migrants in the pooled sample. However, among
migrants from WB, Muslims wages more than their Hindu counterparts. Across
social groups forward caste migrants received higher wages in the pooled sample
followed by OBCs and SCs and STs. However, among migrants from WB, those
who belonged to SC/STs earned more than OBCs and forward caste groups. It is
because of the majority of Bengali migrants from these social groups worked in
fisheries sector which was highly paid job. In precise, discrimination based on
markers of religious and caste prejudices was not experienced by migrant workers
from WB in Kerala. This, however, was not validated true in the case of migrants
from other states.

The majority of the respondents were unskilled workers. In pooled sample, the
semi-skilled workers earned 22 percent more than unskilled and 13 percent more
than skilled workers for 1 percent increase in these variables. This is due to the
prevalence of higher wages in the fishing sector, which is listed in the primary sec-
tor of occupation. It is important to note that migrants from WB in the skilled jobs
received less wages as compared to their counterparts from other states. However,
migrants from WB in semi-skilled sectors received higher wages than those who
migrated from other states.
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Table 6 clearly shows that discrimination exists in wages between the workers
from WB and other states. Discrimination is high against non-Bengali migrants
(59.1%). In short, although all migrants face wage discrimination, non-Bengali
migrants faces the most within them. Table 6 also shows that the Bengali migrants
had an advantage as their endowments difference is 40.1 percent over non-Bengalis.

4 Conclusion

The study illustrated the wage differentials existing at two levels. First is the wage
difference between natives and in-migrants irrespective of their skill levels. Second
is the wage difference between migrant workers from West Bengal and other states
that was established by using the decomposition method. The decomposition model
used in the study also suggests that the wage differentials among migrants work-
ers can be attributed to discrimination that face by being not sufficiently integrated
to the Kerala society. The empirical results shed light on the need for state inter-
ventions to level the wages of migrants and natives on the one hand and formulat-
ing programs for integration of guest workers (as the government of Kerala refer to
migrant workers) who still live on the margins of Kerala society on the other. The
most important step among others is to increase their capacity for wage negotiation
by educating them about the rights of workers and the minimum wages stipulated
for each sector. Our results showed that migrants from the state of WB who inte-
grated relatively well with the society could negotiate better for wages. The state
government introduced educational development program to in-migrant workers to
educate Malayalam in some districts or places. If the government is extending the
program across Kerala, more number of migrant workers will get benefit and they
will get more wage negotiation power in local language. Control of labor contractors
who take a share of workers’ wages is another issue that needs attention.
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