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Abstract
Acritical component of any school-based prevention program is early identification of student risk as reported by Lane et al. (Remedial
and Special Education 32:39–54, 2011). While screening for academic risk has grown in the last decade, screening for behavioral risk
has remained stagnant. Few schools systematically screen for behavioral and emotional risk, and those that do rely on subjective
referral systems that have been linked to disproportionality in special education and exclusionary discipline practices. An alternative to
these subjective referral systems is universal screening for behavioral and emotional risk. Despite evidence that this standardized
screening measure is both valid and reliable, few schools have adopted universal screening tools for behavioral and emotional risk.
One potential reason for the lagging use of screening for behavioral and emotional risk is lack of information regarding the utility of
these measures. This study compares the predicative validity of a universal screening tool for behavioral and emotional risk, and the
predictive validity of the more traditionally used office discipline referrals. Results indicate that the universal screening measure, the
Behavioral and Emotional Screening System Teacher Form (BESS TF), is a more reliable predictor of student GPA (t(132) = 5.062,
p < .001) and absences (t(132) = 2.370, p < .02) than office discipline referrals (ODRs), while both ODRs and the BESS TF reliably
predict student suspension rates. The ability of the BESS TF to identify students experiencing behavioral and emotional risk that
impacts both their academic and behavioral functioning at school makes it a more useful measure than ODRs alone.

Keywords Universal screening . Office discipline referral . School-based prevention . Progress monitoring . Assessment . Early
identification . 3-tieredmodel . At-risk

American public schools are expected to accommodate all stu-
dents who enter their doors and are charged with effectively
fostering the academic and social growth of all students
(Rebell 2012). This has become increasingly difficult over the

years as the landscape of America’s youth changes and becomes
more diverse ethnically, linguistically, economically, as well as
culturally (Walker et al. 2010). These challenges to the successful
accommodation of students are intensified by increasing aca-
demic demands and pressure for accountability, such as the pro-
visions put forth by No Child Left Behind (NCLB: 2001) and
Every Student Succeeds Act (ESSA: Mathis and Trujillo 2016).
These demands have pushed schools into rigorous academic
curricula to ensure that all students receive a quality education.
However, the focus of these accountability measures on academ-
ic content marginalizes students at risk for behavioral and emo-
tional problems. In these schools, students who are judged to be
difficult to teach and manage are seen as impediments to satis-
fying external demands of accountability. As a result, they may
be pushed towards a discipline system that excludes them from
the learning environment (Losen et al. 2015).

Prevention programming has been found to be more effec-
tive than exclusionary discipline programs at increasing
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student achievement and mitigating negative student out-
comes (American Psychological Association Zero Tolerance
Task Force 2008; Bear et al. 2000). Research indicates that
prevention initiatives also have the potential to reduce racial
disproportionality in special education and exclusionary dis-
cipline practices (Proctor et al. 2012), thereby enhancing aca-
demic and behavioral outcomes for the entire school popula-
tion (Vaillancourt et al. 2013). Consequently, schools across
the country have turned attention to their implementation.
Multi-tiered Systems of Support (MTSS) is a school-based
prevention model that focuses on early identification of aca-
demic and behavioral risk to connect students to interventions
early (e.g., Chafouleas et al. 2010; O’Connell et al. 2009;
Skiba et al. 2006). MTSS itself is not an intervention but
instead provides a systematic, data-informed framework to
help organize, track implementation, and assess the effective-
ness of prevention and intervention efforts that have been
identified to meet the needs of students.

A critical component of any school-based prevention
program, but especially applied within an MTSS frame-
work, is the collection and monitoring of data regarding
student functioning (Lane et al. 2009; Lane et al. 2011).
Many schools have successfully established procedures to
help teachers systematically collect information on student
academic functioning as part of academic MTSS services.
However, systematic collection of student behavioral and
emotional functioning has yet to follow (Oakes et al.
2014; Kamphaus, Reynolds, and Dever 2014; Bruhn et al.
2014). One reason for this gap in systematic data collection
may be the lack of information available on the implemen-
tation of behavioral and emotional screeners for systematic
assessment of student behavioral and emotional risk.
Conducting universal screening, including screening for be-
havioral and emotional risk, requires staff time, training,
and depending on the screening instrument used, material
costs. Schools may struggle to acquire these resources, es-
pecially if they feel uncertain regarding the process.

The purpose of the current study is twofold. The first aim
is to assess whether a standardized universal screening sys-
tem for student emotional and behavioral risk predicts stu-
dent academic (measured through student grade point aver-
age) and behavioral outcomes (measured through student
absences and suspensions). The second aim is to determine
whether this screening measure is a better early predictor of
behavioral and academic outcomes than the more tradition-
ally used office discipline referrals (ODRs). This paper
evaluates these tools within a school serving predominantly
African American youth from low-income communities.
Answering questions about screening for behavioral risk
in this setting increases our understanding of student risk
indicators for African American youth from low-income
communities, helping to improve decision-making
(Proctor et al. 2012; Raines et al. 2012).

Collecting Data on Student Behavioral
and Emotional Risk in Schools

Students who struggle with behavioral and emotional prob-
lems are at substantial developmental risk (Reid, Patterson,
and Snyder 2002), and untreated, these problems persist into
adulthood (Vander, Weiss, Kuo, Cheney, and Cohen 2003).
Some children who struggle with behavioral and emotional
functioning experience poorer academic performance, absen-
teeism, grade retention, a greater risk of dropping out, as well
as juvenile delinquency (Perfect and Morris 2011).
Furthermore, some students with behavioral and emotional
problems experience a myriad of symptoms that hinder their
social competence, including the inability to self-regulate, and
development of social skills such as appropriate assertion,
cooperation, and independence. The possession of these skills
not only aids the child in interacting appropriately with his or
her environment but aids in the development of academic and
occupational success as well (Merrell et al. 2008). Deficits in
these areas contribute to a Bfailure to thrive,^ both in an aca-
demic and social sense, launching a risky cycle of school
failure and school adjustment problems (Merrell et al. 2008).

Eighty percent of students who need behavioral and emo-
tional supports do not receive them, particularly students living
in under resourced communities (Perfect and Morris 2011).
Schools are in a unique position to identify early those students
who need extra support and to provide the interventions that
can increase student well-being and academic success.
Universal screening is one way to identify those students at risk
for behavioral and emotional problems, and therefore at greater
risk of school failure, school disciplinary action such as school
suspensions and absences. Early identification of student risk
allows diversion away from reactive practices to preventative
practices (Chafouleas et al. 2010; Proctor et al. 2012).

Even though the benefits of universal school-based screen-
ing for behavioral and emotional risk have been identified and
promoted for over a decade, only 12% of K–12 schools incor-
porate the use of a standardized instrument of school-wide
behavioral and emotional screening in MTSS protocol
(Bruhn et al. 2014). While this is a noticeable increase in
implementation of school-wide screening, up from 5% ap-
proximately a decade before (Glover and Albers 2007), trac-
tion in the use of screening instruments has been limited.
Considering the strong link between student behavioral and
emotional functioning and academic success (Perfect and
Morris 2011), this slow growth of attention to screening pro-
cedures for behavioral and emotional risk is counterintuitive.
To promote understanding and ultimately widespread applica-
tion of screening instruments, researchers suggest that addi-
tional empirical data is needed to establish predictive validity
and to compare their use to other referral procedures, such as
monitoring of office discipline referrals (Dever et al. 2015;
Dowdy et al. 2014; Kamphaus et al. 2014).
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Meanwhile, in the absence of universal screening for be-
havioral and emotional functioning, schools rely on informa-
tion gathered through ODRs to make decisions about which
students to support, and how to support them (Clonan et al.
2007). ODRs are defined as teacher-reported, teacher-
documented observations of student behavior that violate
school rules (McIntosh et al. 2010). ODRs are a convenient,
easily accessible tool for measuring student behavioral func-
tioning and are seen by teachers as valid tools (Irvin et al.
2004). In an MTSS problem-solving model, students whose
frequency of ODRs are higher than other students would be
identified as in need of behavioral referral (Clonan et al.
2007). Previous research indicates that ODRs can be system-
atically evaluated so that the frequency of ODRs can indicate
the level of risk a child is experiencing (Predy et al. 2014). A
study by McIntosh et al. (2010) found that students with
ODRs between 0 and 1 were at Bnormal^ risk, 2–5 were at
Belevated risk,^ and 6 or more were at Bextremely elevated^
risk.

While ODRs provide one method for evaluating student
behavior, there are several limitations to consider. First, the
tracking of ODRs is a reactive practice rather than a preven-
tative one. This refers to the fact that ODRs are generally
assigned once a child has displayed highly disruptive
behaviors, and that students are only flagged for intervention
once they have received several ODRs. This is especially
problematic when ODRs are used to inform preventative
programs. The information collected by ODRs may not be
valid until enough ODRs have been collected to identify
students at risk of school failure, which may be too late for
optimal, early intervention. Secondly, ODRs have
demonstrated only limited predictive validity. In their
analysis of ODR data collected on more than 900,000
students, McIntosh et al. (2010) found inconsistent patterns
of predictive validity. They concluded that while ODR data
had its uses for progress monitoring and for the understanding
of specific behavioral problems students may demonstrate,
ODRs were not supported for use as early screening measures.

The ease of data collection and the relatively inexpensive
process of collecting ODRs are particularly appealing to
schools with limited resources such as inner-city schools serv-
ing students from low-income communities. However, several
aspects of ODR reporting strategies in urban schools serving
students from low-income communities, such as the advent of
no-excuse policies, make ODRs even less likely to provide
valuable information on true student risk (Golann 2015). For
example, students living in low-income households often face
additional challenges, including acute and chronic stress as
well as health and safety issues that can affect their behavior
in school (Wadsworth and Rienks 2012). Intensifying these
factors is a current trend in educational reform practice in
schools serving students from low-income communities that
include more rigid discipline policies. Students in these

settings may receive citations for placing a head down on a
desk or wearing socks that do not match uniform expectations
(Golann 2015). Consequently, these schools may report
higher incidents of problem behaviors that result in office
referral, compromising the utility of these referrals to tease
apart levels of need (Warren et al. 2003).

There is also a subjective aspect to discipline referrals.
Teacher decisions about when to issue an ODR can be as
much a function of a teacher’s unique behavioral expecta-
tions and biases as it is an indicator of student risk (Kern
and Manz 2004; Skiba et al. 2002). For example, Skiba
et al. (2011) found that African American elementary
school students were more than twice as likely to receive
an ODR as White peers. This higher incidence of discipline
referral could not be attributed to a difference in behavior
(American Psychological Association Zero Tolerance Task
Force 2008). Though not directly related to office disci-
pline referrals, Fish (2016), when looking at referrals for
special education, found that when presented with a vi-
gnette, teachers’ decisions about who to refer for special
education, including for behavioral disorders, depended on
the race and gender of the student presented in the vignette.
The vulnerability of ODRs to implicit biases limits the
utility of the office discipline referral as the primary indi-
cator of true behavioral and emotional risk (e.g., McIntosh
et al. 2010; Skiba et al. 2011).

Because of the limitations of ODRs in identifying student
risk, it becomes even more urgent to utilize systematic
screening procedures that emphasize prevention, promo-
tion, and intervention services, not just a reactive approach
to problem behaviors (Warren et al. 2003). Systematic
school-based universal screening provides information on
indicators of emotional and behavioral problems and there-
fore affords schools with the ability to implement early in-
tervention as needed. Furthermore, such screeners are more
likely to indicate underlying student behavioral and emo-
tional risk rather than incompatibility with school rules that
are particularly sensitive to situational variables. In short,
the most appealing aspect of using a screening instrument is
that it can be applied proactively and systematically to de-
termine true underlying student risk so that students who
most need support can receive it earlier. Furthermore, be-
cause of the standardized nature of universal screening in-
struments, there is potential to negate the bias found in more
subjective data collection methods such as ODRs (Raines
et al. 2012).

This study furthers the research into best practices for be-
havioral MTSS data collection by comparing the predictive
validity of ODRs to a standardized universal screening system
for behavior that also relies on teacher-reported data, the
Behavior Assessment System for Children-2 (BASC-2)
Behavioral and Emotional Screening System Teacher Form
(BESS TF, Kamphaus and Reynolds 2007).
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Predictive Validity of the BESS

The BESS TF (Kamphaus and Reynolds 2007) was developed
as a nationally normed and standardized screening measure
for use in school settings (King et al. 2012). Researchers have
demonstrated evidence of the BESS’s validity as a screening
instrument for practical use in schools, including evaluation of
the BESS’s internal consistency, external concurrent validity,
and predictive ability (Kamphaus et al. 2010).

Preliminary research indicates that the BESS TF is an ef-
fective means of identifying students with behavioral and
emotional risks (Eklund and Dowdy 2014). Some studies
have linked the BESS TF to teacher reports of student conduct
problems, unusual patterns of thoughts and behaviors, and
poor social skills (Dever et al. 2012; Kamphaus et al. 2007).
Other studies have provided initial support for the relationship
of the BESS TF to school outcomes such as behavioral mis-
conduct, school engagement, and academic achievement
(Eklund and Dowdy 2014; Kamphaus et al. 2010; King and
Reschly 2014). For example, in a study of 26 third graders and
22 fourth graders from two California elementary schools
(Renshaw et al. 2009), reports from the BESS TF completed
in the first quarter of the school year were found to correlate
with student behavioral, academic, and engagement indicators
assessed from students’ first quarter report cards. The BESS
TF has also shown some predictive validity through the iden-
tification of a significant relationship between BESS scores
and school outcome variables taken at later time points. In a 2-
year longitudinal study with 206 students in grades K–5, the
BESS TF score derived in the first year of the study was
correlated with teacher ratings of conduct problems, indices
of school maladjustment, special education placement, and
teacher-assigned reading and math grades reported on stu-
dent’s report cards in the second year of the study
(Kamphaus et al. 2007).

There are limited studies comparing systematic universal
screeners to office discipline referrals, though both are used as
screening measures to identify students in need of behavioral
and emotional support. One of the few studies making this
comparison analyzed ODRs’ identification rates compared
to three systematic universal screeners as well as teacher nom-
ination methods. Teacher nominations are direct referrals of
students by teachers to support services such as counseling or
special education. Results indicated that ODRs and teacher
nomination methods identified the fewest number of students,
with teacher nomination methods and the BESS TF showing
the least convergence. The authors conclude that ODRs and
teacher nomination methods are best for system level indica-
tors of behavioral functioning and measures of externalizing
behaviors, but not as screening tools to identify student mental
health concerns (Miller et al. 2015).

The systemic nature of the BESS TF and the focus on
evaluating both externalizing and internalizing risk may be

the reason for discrepancies recorded between the BESS TF
and teacher referral methods (i.e., teacher nomination and
ODRs). The BESS encourages teachers to systematically
think of each child and to consider patterns that reflect inter-
nalizing symptoms along with the more easily observable ex-
ternalizing behaviors (Raines et al. 2012). This characteristic
of the BESS TF results in a screening method that is more
likely to identify factors that underlie risk, including internal-
izing risk (Dowdy et al. 2013; Eklund et al. 2009). Because
many universal screeners, in particular, the BESS, incorporate
indicators of both internalizing and externalizing risks, rates of
student identification using systematic tools have yielded re-
sults closer to expected community prevalence than have tra-
ditional teacher referral methods (Dowdy et al. 2013; Jellinek
et al. 1999; Nelson et al. 2002).

The Current Study

The purpose of the current study is to compare the predictive
validity of the BESS TF and teacher-reported ODRs. As
schools turn to the implementation of programming to prevent
behavioral and emotional problems in schools, and to promote
student academic success and well-being, the tools we use to
collect data on student need should align with these goals.
Currently, office discipline referrals are the default method
for identifying students at risk behaviorally and emotionally.
This study seeks to understand if office discipline referrals are
effective at early identification of student risk for academic
and behavioral difficulties in school, particularly when com-
pared to a psychometrically constructed universal screening
instrument. Furthermore, this study seeks to answer this ques-
tion when considering a school serving predominately African
American youth from low-income communities.

The central questions in this study include do the BESS TF
collected early in the year predict students who will be strug-
gling academically and behaviorally at the end of the year and
is it a better predictor of these outcomes than the more tradi-
tionally collected ODR system? The authors believe that the
BESS TF collected at the beginning of the year is more likely
to pick up on underlying student risk, and therefore will be
predictive of student academic and behavioral functioning at
the end of the year while ODRs will not be. We are specifi-
cally interested in being able to identify students at risk of
school failure due to behavioral and emotional risk before
these problems become entrenched. Early identification of
behavioral and emotional risk is key to putting preventative
measures in place. Therefore, we further hypothesize that the
BESS TF will be predictive of change in student academic
functioning over the course of the school year, not just at the
end of the school year. Because ODRs are reactive and sub-
jective, we believe they will be less predictive of student aca-
demic functioning over the course of the year. Ultimately, the
purpose of this study is to evaluate whether a standardized
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universal screener, the BESS TF, predicts student risk for
school failure as measured by school outcome variables such
as Grade Point Average (GPA), absences, and school suspen-
sions. The second question in this study is whether the BESS
TF is a better predictor of student school outcomes than the
more traditionally used behavioral data system, ODRs.

Method

Participants

This study utilized archival data collected during the 2014–
2015 academic school year, in an urban community in the
Southeastern United States. The participating school was a
kindergarten through eighth grade school, enrolling approxi-
mately 450 students. Due to the archival nature of the data,
demographic data was not available for each student.
However, public school records from 2014 to 2015 indicate
that the student body was predominantly African American
(98%), and most of the students were eligible for free or re-
duced lunch (96%; New Orleans Parents’ Guide to Public
Schools 2015). While the school enrolls approximately 450
students each year, the BESS TF is completed for grades 1–3,
while the BESS Student Form (BESS SF) is completed for
grades 4–8. ODRs are only collected for first through eighth
grade students. The current study focuses on the BESS TF and
ODRs; therefore, the final sample represents first through
third grades. The final sample included 142 (53.5% female)
students in grades 1–3, ranging in age from 6 to 10 years (M =
7.67, SD = 1.08).

Procedure

The archival data utilized for this study was provided by the
school. Due to the anonymous nature of the data, the study
was deemed exempt from human subject’s review by the uni-
versity Institutional Review Board. However, all procedures
were conducted in a manner consistent with ethical standards
for research noted by the American Psychological Association
(2010).

The BESS TF was administered 6 weeks into the school
year to first through third grade teachers as part of the schools
universal screening efforts. Administration of the BESS TF
followed common practice for the use of universal screening
in school settings (Parisi et al. 2014). Testing coordinators
provided guidance to teachers on the completion of screeners
and were available for assistance while teachers completed
forms. Teachers completed screening forms during a profes-
sional development session where all teachers were present.
Teachers were given instructions on how to complete the
scantrons and then independently completed a BESS TF for
each child in their homeroom class. Scantrons were then

scored using the BESS software, which reported each item
response and a final global BESS TF t score.

Measures

BESS Teacher Form

The BESS Teacher Form (BESS TF; Kamphaus and Reynolds
2007) is a 27-item instrument designed to measure teacher-
reported levels of risk for student behavioral and emotional
challenges. Items for the BESS TF were selected from the
larger BASC-2. The BESS TF asks teachers to rate items on
a 4-point scale (i.e., never, sometimes, often, almost always)
and is designed to be completed in 5–10 min per student.
BESS items represent the domains of internalizing problems,
externalizing problems, school problems, and adaptive skills.
The BESS TF produces a raw score that is then converted to a
t score. Higher t scores represent a greater risk for behavioral
and emotional challenges (20–60 is Bnormal^ risk, 61–70 is
Belevated^ risk, and 71+ is Bextremely elevated^ risk). The
psychometric properties of the BESS TF are acceptable, hav-
ing good split-half reliability (.96, − .97), test-retest reliability
(.83), and moderate correlations with other measures of be-
havioral and emotional problems (Kamphaus and Reynolds
2007).

In the current sample, t scores were normally distributed
(skewness = .178; kurtosis = − .644) and ranged from 33 to 79
(M = 51.49, SD = 11.59). Using the median absolute deviation
(MAD) method of detecting outliers (Leys et al. 2013), no
scores were detected that exceeded a standardized threshold
of |± 3|. The BESS TF for this sample yielded a Spearman-
Brown split-half reliability of r = .95 and an internal consis-
tency of α = .94.

Office Discipline Referrals Teachers would write ODRs
down during the day on a form, including the date, time,
category of the incident, and description of the incident.
Teachers would then enter ODRs at the end of the day
using a software platform. For this study, the ODR vari-
able is continuous and represents the frequency of ODRs
the student received in September (M= 4.99, SD = 8.18).
ODRs ranged from 0 to 46. When teachers logged behav-
iors, all entries had to be assigned predetermined catego-
ries that included behaviors like causing a disturbance in
class, bullying, or cursing/using vulgar language. For pur-
poses of this study, ODRs representing minor risks such
as chewing gum or a uniform violation were excluded
from analysis (McIntosh et al. 2010; Predy et al. 2014).
The ODR variable used in this study includes ODRs
assigned from the beginning of the school year and
through the month of September when the BESS TF
was administered.
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Academic Outcome Variables Student academic functioning
was measured by using the GPA system where scores range
from 1 to 4, 4 indicating the highest GPA possible. GPAwas
collected by quarter, and each quarter represents 9 weeks. For
this study, we used GPA as measured each quarter. Each quar-
ter represents 9 weeks of the school year. Research indicates
that GPA is an indicator of academic skill, including the ability
to learn new information and complete assigned class work
(Duckworth et al. 2012), and is a predictor of school success
generally (National Education Association n.d.).

Behavioral Outcome Variables
Behavioral outcome variables included suspensions and

absences. Student suspensions are continuous and represent
the total number of suspensions (in-school and out of school)
garnered by the end of the school year (M= .93, SD = 2.07).
Absences are the number of school days the child was absent
during the school year (M= 9.3, SD = 7.84).

Results

Data Screening

Prior to conducting statistical analyses, data screening proce-
dures were used to address issues with data accuracy as well as
missing data (Tabachnick and Fidell 2007). Data screening
procedures revealed that 5% of the sample had missing data
for one or more key outcome variables such as GPA or ab-
sences. This data was probably missing as some students may
have transitioned to another school, or from another school.
Further examination of these cases revealed no pattern asso-
ciated with the missing data. Due to the small amount of
missing data (7) relative to the overall sample size (142), as
well as the random nature of the missing data, we chose to
delete the missing variables rather than use an estimation tech-
nique to replace the missing data (Tabachnick and Fidell
2007). No outliers were identified in the sample and all scores
fell within expected variable ranges. After data screening pro-
cedures were conducted, the resulting sample included 135
participants.

Descriptive Statistics

Descriptive statistics regarding study variables can be found
in Table 1. Both the BESS and ODRs were used to measure
the number of students considered to be at behavioral or
emotional risk. Using the BESS TF, the sample included
77.8% within a normal risk range, 16.3% within the elevat-
ed risk range, and 5.9% within the extremely elevated risk
range. Using accepted cutoff points for ODRs (McIntosh
et al. 2010), 33.9% of students are considered in the ex-
tremely elevated risk range (5+ referrals), 24.5% of students

in the elevated risk range (2–4 referrals), and 41.5% of stu-
dents in the normal risk range (0–1 referral).

Correlations reveal that the BESS TF risk score is negative-
ly associated with GPA (r = − .614, p < .01), and positively
associated with absences (r = .335, p < .01) and suspensions
(r = .337, p < .01). ODRs were only correlated with suspen-
sions (r = .272, p < .01). Table 2 represents correlations for
study variables. Gender and grade were incorporated in the
correlation analysis in order to assess for a potential relation-
ship to study variables. Grade showed some correlation with
GPA, while gender showed some correlation to the BESS TF,
GPA, and suspensions.

Hierarchical Linear Regression

A series of regression analyses were run to compare the pre-
dictive validity of the BESS TF and ODRs collected in the
same time period. GPA, absences, and suspensions were in-
cluded as dependent variables. Table 3 summarizes the find-
ings of each model. Because participant grade and gender are
correlated to key variables, these were entered in as control
variables. When controlling for gender and grade, the BESS
TF significantly predicted end-of-year academic and behav-
ioral functioning, including GPA, absences, and suspensions.
Results are presented in Table 3. Hotelling’s t test for non-
independent correlations was used to compare the predictive
utility of the BESS TF and ODRs. The BESS TF accounted
for significantly more variance in GPA (t(132) = 5.062,
p < .001) and absences (t(132) = 2.370, p < .02) than ODRs.
There was no difference in the variance accounted for in num-
ber of suspensions (t(132) = .438, p > .05).

Discussion

To date, ODRs remain the most commonly used data for
assessing student behavioral needs. While ODRs can provide
valuable information on student functioning, they are particu-
larly susceptible to subjective observations of student behav-
ior and are reactive versus preventative. The practice of utiliz-
ing ODRs for identification of student behavioral and emo-
tional risk is a reactive approach to monitoring student need
that is contrary to the prevention framework of MTSS. This is

Table 1 Descriptive statistics of key variables

N Mean St dev Min–max

BESS TF 135 51.01 11.56 33–77

ODR 135 4.13 5.27 0–30

Absences 135 9.35 7.89 0–44

Suspensions 135 .78 1.67 0–10

GPA 135 2.50 .86 .33–4.00
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especially meaningful in schools serving minority students
from low-income communities where subjectivity in the refer-
ral process may impact who receives ODRs. Furthermore, risk
factors associated with poverty may manifest as behaviors that
are incompatible with school behavioral expectations. In these
schools, ODRs may be an indicator of immediate teacher re-
actions to student behavior rather than true behavioral and
emotional risk.

The current study compares ODRs and a standardized uni-
versal screening tool for behavioral and emotional risk, and
the utility of these instruments in predicting student outcomes
as measured by GPA, suspensions, and absences at the end of
the year. Ideally, a strong data collection tool in an MTSS
framework would be able to identify students at academic
and behavioral risk throughout the school year. Moreover, a
psychometrically sound data collection tool would minimize
bias by promoting reliable and valid reporting on indicators of
student difficulty (Belser et al. 2016).

Results of this study indicate that the BESS TF and ODRs
differ in the number of students they report as at risk, with the
BESS reporting numbers more like what is expected in an
MTSS model. The highly subjective nature of ODRs may be
one reason why student risk status as measured by ODRs in
this study is so highly divergent from what is expected within
an MTSS framework. While higher rates of risk are generally
expected in urban schools (Warren et al. 2003), the rate of
34% of students at extremely elevated risk would seem to be
more a function of the way risk is being reported than of
student actual behavioral and emotional risk. The BESS TF
may present a more accurate picture. This more accurate pic-
ture is particularly important for connecting the students most
in need of support to services. Being able to identify students
needing support at the tier II and tier III level will allow
schools to more effectively and efficiently initiate intervention
efforts, while also focusing on universal needs such as the
implementation of PBIS programming or SEL programming.

Preliminary analyses also indicate that ODRs in the begin-
ning of the year are not related to end of the year outcomes like
GPA and absences. Regression analyses strengthen this claim,
indicating that the BESS TF is a better predictor of GPA and
absences at the end of the year than ODRs taken during the
same time period. Both GPA and absences provide an impor-
tant indicator of student functioning. Student absences factor
into how schools are evaluated, as they can be an indicator of
school climate, and student well-being generally. GPA is also
an important outcome variable as it reveals how students are
functioning academically. Specifically, GPA gives school staff
an indication of how students are engaging with, organizing,
retaining, and using what they are learning in the classroom
(Duckworth et al. 2012). Results of this study indicate that
students with higher BESS TF scores are less likely to come
to school regularly and more likely to struggle academically.
ODRs collected early in the year do not.

While ODRs are not related to GPA and absences at the end
of the year, both the BESS TF and ODRs can predict student
suspensions. Like ODRs, suspensions identify students who
are exhibiting behaviors that are not in line with school ex-
pectations. Suspensions are generally assigned when a student
has exhibited egregious behavior, such as fighting, that may

Table 2 Correlations
1 2 3 4 5 6 7

1. Gender –

2. Grade − .057 –

3. BESS t score − .210* − .025 –

4. ODR − .112 − .074 .222** –

5. GPA .205* − .279** − .614** − .143 –

6. Absences − .070 .169 .335** .039 .454** –

7. Suspensions − .199* .101 .337** .272** − .308** .441** –

*Correlation is significant at the .05 level; **Correlation is significant at the .01 level

Table 3 Regression

School outcome variables

GPA Absences Suspension

Variable ΔR2 β ΔR2 β ΔR2 β

BESS TF risk score .05

Step 1 .12 .04 − .02
Gender .22** − .08 .11

Grade − .29** .07

Step 2 .34 .11

BESS TF − .60** .33 .09

.31**

Office discipline
referrals

Step 1 .122** .05 .05

Gender .22** − .08 − .20*
Grade − .29* .18* .11

Step 2 .02 .00 .07

BESS TF − .14 .04 .26*

*p > .05; **0 > .001
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result in harm to themselves or others. ODRs might capture
similar behaviors, and its predictive value may come from
identifying students who are more prone to acting in ways
contrary to school rules. The BESS TF also measures similar
variables and also can predict student suspension rates.
Therefore, both give a good indication of which students are
more likely to exhibit behaviors that violate school norms.
However, for schools interested in supporting students and
reducing the use of exclusionary discipline practices, the
BESS TF gives a broader indicator of student functioning,
including both externalizing and internalizing behavioral and
emotional risks, which can result in fewer instances of more
severe behaviors that lead to suspension.

Standardized screening referral systems like the BESS TF
can give us more accurate information on student risk as mea-
sured by other school variables of importance such as GPA
and school absences. Traditionally, schools use ODRs to mea-
sure student behavioral needs. While ODRs may reveal how
often a student behaves in a way that contradicts school ex-
pectations, this is not necessarily an indicator of behavioral
and emotional risk. This finding is especially important as
schools increasingly recognize the need for school services
that address the whole child, and do not divorce behavioral
and emotional functioning from academic functioning. As
schools seek to better support students and to institute inter-
vention and prevention programs around behavioral and emo-
tional health, ODRs may not be enough to indicate which
students need support or to measure the impact of these pro-
grams directly.

The results of this study have practical implications for
educators. First, the traditional model for connecting stu-
dents who display behavioral and emotional risk is subjec-
tive and has been linked to current disproportionality in
special education for emotional and behavioral disorders,
as well as the overrepresentation of African American
youth in school discipline data despite lack of evidence
that these youth display more maladaptive behaviors
(American Psychological Association Zero Tolerance
Task Force 2008). Results of this study indicate that in-
deed, ODRs may be more a function of teacher’s immedi-
ate reaction to student behavior than to true student risk.
ODRs may help schools understand which school rules
students are having difficulty maintaining and therefore
to help schools to reshape their discipline policies.
However, ODRs are not useful in identifying which stu-
dents may need early support due to behavioral and emo-
tional risk, especially in an urban school serving primarily
African American youth from low-income communities.
While these students may be more likely to come to school
with a higher chance of displaying behavioral and emo-
tional risk, ODRs may not be a useful tool for planning
how to address student needs either at the universal or
targeted levels.

Limitations and Future Directions

This study provides a needed comparison between ODRs, the
most commonly used extant data on student behavior, and a
standardized universal screening measure for behavioral and
emotional risk. While this information will contribute to un-
derstanding the practical application of these methods in an
urban school, results may be limited to such urban schools and
may not be generalizable to a larger demographic. However, it
is also important to understand the unique context of schools
in urban districts serving low-income youth, especially re-
garding current education reform practices and disparities in
educational outcomes. This study adds to the literature by
answering a critical question about using behavioral data to
make decisions about student supports. Furthermore, while
GPA as a measure of student academic functioning is an im-
portant school outcome variable, the relationship of these var-
iables to standardized testing scores, a valuable metric to
schools, would help strengthen the conclusion of the study.

Decades of research have illustrated that students from cer-
tain racial and ethnic groups are more likely to be subjected to
exclusionary discipline practices such as suspension and ex-
pulsion (Gershoff and Font 2016). Likewise, office discipline
referrals are subject to similar bias (Staats and Patton 2014).
The subjective decision-making involved in whether a teacher
issues a discipline referral for misbehavior limits our knowl-
edge of the quality of ODR data obtained for this analysis and
thus may limit the application of findings generally.
Additionally, neither the variance with which ODRs were ap-
plied by teacher nor the variance in the type or severity of
behavior that marked the discipline referral was investigated
in this analysis. However, future research may investigate
ways in which child and teacher factors affect ODR applica-
tion and thusly how variance-by-teacher affects comparison to
standardized screening tools. Regardless, results of this study
demonstrate that while ODR data are important for school
decision-making and provide an important indicator of student
functioning, reliance on ODRs as the primary mechanism for
referral within an MTSS system is inadequate.

Summary

MTSS relies on the collection and monitoring of data and the
application of data to the allocation of resources for early
intervention and prevention initiatives. In previous studies,
the BESS TF identified more students than teacher referral.
However, in environments that have strict discipline policies
that lead to high numbers of behavioral infraction, the BESS
TF may accurately identify students in need of support. This
study supports the predictive validity of the BESS as a univer-
sal screener in schools and adds to the literature by examining
implementation and use in a school serving a predominately
low-income African American student body. Researchers are
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encouraged to assess the effectiveness of screening instru-
ments as used in various populations. This study suggests that
the BESS TF provides more accurate reflection of student
need and social emotional functioning than does the office
discipline referral system. Data collected with the BESS TF
can effectively inform ways in which prevention and early
intervention resources can be allocated, especially in an envi-
ronment where discipline practices result in high numbers of
behavioral referral. Additional research and further investiga-
tion into ways in which data can support early intervention
and be used in progress monitoring is recommended.

Compliance with Ethical Standards

Conflict of Interest The authors declare that they have no conflict of
interest.

Ethical Approval This article does not contain any studies with human
participants performed by any of the authors.

References

American Psychological Association Zero Tolerance Task Force. (2008).
Are zero tolerance policies effective in the schools? An evidentiary
review and recommendations. American Psychological Association,
63(9), 852–862. https://doi.org/10.1037/0003-066X.6

American Psychological Association. (2010). Ethical Principles of
Psychologists and Code of Conduct. Available from http://
www.apa.org/ethics/code/

Bear, G. C., Webster-Stratton, E., Furlong, M. J., & Rhee, S. (2000).
Preventing school violence. In K. M. Minke & G. C. Bear (Eds.),
Preventing school problems, promoting school success: strategies
and programs that work (pp. 1–69). Bethesda: National Association
of School Psychologists.

Belser, C. T., Shillingford, M., & Joe, J. R. (2016). The ASCAmodel and
amulti-tiered system of supports: a framework to support students of
color with problem behavior. Professional Counselor, 6(3), 251–
262. https://doi.org/10.15241/cb.6.3.251

Bruhn, A. L., Woods-Groves, S., & Huddle, S. (2014). A preliminary
investigation of emotional and behavioral screening practices in
K–12 schools. Education and Treatment of Children, 37(4), 611–
634. https://doi.org/10.1353/etc.2014.0039

Chafouleas, S. M., Volpe, R. J., Gresham, F. M., & Cook, C. R. (2010).
School-based behavioral assessment within problem-solving
models: current status and future directions. School Psychology
Review, 39(3), 343.

Clonan, S. M., McDougal, J. L., Clark, K., & Davison, S. (2007). Use of
office discipline referrals in school-wide decision making: a practi-
cal example. Psychology in the Schools, 44(1), 19–27. https://doi.
org/10.1002/pits.20202

Dever, B. V., Dowdy, E., Raines, T. C., & Carnazzo, K. (2015). Stability
and change of behavioral and emotional screening scores.
Psychology in the Schools. https://doi.org/10.1002/pits.21825

Dever, B. V., Mays, K. L., Kamphaus, R. W., & Dowdy, E. (2012). The
factor structure of the BASC-2 behavioral and emotional screening
sys t em teache r fo rm , ch i l d / ado l e scen t . Journa l o f
Psychoeducational Assessment, 30(5), 488–495. https://doi.org/10.
1177/0734282912438869

Dowdy, E., Doane, K., Eklund, K., & Dever, B. V. (2013). A comparison
of teacher nomination and screening to identify behavioral and

emotional risk within a sample of underrepresented students.
Journal of Emotional and Behavioral Disorders, 21(2), 127–137.
https://doi.org/10.1177/1063426611417627

Dowdy, E., Furlong, M., Raines, T. C., Bovery, B., Kauffman, B.,
Kamphaus, R. W., Dever, B. V., Price, M., & Murdock, J. (2014).
Enhancing school-based mental health services with a preventive
and promotive approach to universal screening for complete mental
health. Journal of Educational and Psychological Consultation.
https://doi.org/10.1080/10474412.2014.929951.2014

Duckworth, A. L., Quinn, P. D., & Tsukayama, E. (2012). WhatNoChild
Left Behind leaves behind: the roles of IQ and self-control in
predicting standardized achievement test scores and report card
grades. Journal of Educational Psychology, 104(2), 439–451.
https://doi.org/10.1037/a0026280

Eklund, K., & Dowdy, E. (2014). Screening for behavioral and emotional
risk versus traditional school identification methods. School Mental
Health, 6(1), 40–49. https://doi.org/10.1007/s12310-013-9109-1

Eklund, K., Renshaw, T. L., Dowdy, E., Jimerson, S. R., Hart, S. R.,
Jones, C. N., & Earhart, J. (2009). Early identification of behavioral
and emotional problems in youth: universal screening versus
teacher-referral identification. The California Psychologist, 14,
89–95 Retrieved from http://files.eric.ed.gov/fulltext/EJ878355.pdf

Fish, R. E. (2016). The racialized construction of exceptionality: experi-
mental evidence of race/ethnicity effects on teachers’ interventions.
Social Science Research. https://doi.org/10.1016/j.ssresearch.2016.
08.007.

Gershoff, E. T. & Font, S. A. (2016). Corporal punishment in U.S. public
schools: prevalence, disparities in use, and status in state and federal
policy. Society for Research in Child Development Social Policy
Report, 30(1). Retrieved from http://www.srcd.org/sites/default/
files/documents/spr_30_1.pdf.

Glover, T., & Albers, C. (2007). Considerations for evaluating universal
screening assessments. Journal of School Psychology, 45, 117–135.
https://doi.org/10.1016/j.jsp.2006.05.005

Golann, J. W. (2015). The paradox of success at a no-excuses school.
Sociology of Education, 88(2), 103–119. https://doi.org/10.1177/
0038040714567866

Irvin, L. K., Tobin, T. J., Sprague, J. R., Sugai, G., & Vincent, C. G.
(2004). Validity of office discipline referral measures as indices of
school-wide behavioral status and effects of school-wide behavioral
interventions. Journal of Positive Behavior Interventions, 6(3), 131–
147. https://doi.org/10.1177/10983007040060030201

Jellinek,M. S.,Murphy, J.M., Little,M., Pagano,M. E., Comer, D.M., &
Kelleher, K. J. (1999). Use of the pediatric symptom checklist to
screen for psychosocial problems in pediatric primary care: a nation-
al feasibility study. Archives of Pediatrics & Adolescent Medicine,
153(3), 254–260 Retrieved from https://www.ncbi.nlm.nih.gov/
pmc/articles/PMC3905751/

Kamphaus, R. W., & Reynolds, C. R. (2007). Behavior assessment sys-
tem for children—second edition (BASC–2): behavioral and emo-
tional screening system (BESS). Bloomington: Pearson.

Kamphaus, R. W., DiStefano, C., Dowdy, E., Eklund, K., & Dunn, A. R.
(2010). Determining the presence of a problem: comparing two
approaches for detecting youth behavioral risk. School Psychology
Review, 39(3), 395.

Kamphaus, R., Reynolds, C., & Dever, B. (2014). Behavioral and mental
health screening. In Kettler, R., Glover, A., Albers, C., Feeny-
Kettler, K. (Eds.) Universal screening in educational settings:
Evidence-based decision making for schools. Washington, DC:
APA.

Kamphaus, R. W., Reynolds, C. R., Hatcher, N. M., & Kim, S. (2014).
Treatment planning and evaluation with the Behavior Assessment
System for Children (BASC). In M. E. Maruish (Ed.), The use of
psychological testing for treatment planning and outcomes
assessment (Vol. 2. Instruments for children and adolescents, pp.
331–354). Mahwah: Lawrence Erlbaum.

432 Contemp School Psychol (2018) 22:424–434

https://doi.org/10.1037/0003-066X.6
https://doi.org/10.15241/cb.6.3.251
https://doi.org/10.1353/etc.2014.0039
https://doi.org/10.1002/pits.20202
https://doi.org/10.1002/pits.20202
https://doi.org/10.1002/pits.21825
https://doi.org/10.1177/0734282912438869
https://doi.org/10.1177/0734282912438869
https://doi.org/10.1177/1063426611417627
https://doi.org/10.1080/10474412.2014.929951.2014
https://doi.org/10.1037/a0026280
https://doi.org/10.1007/s12310-013-9109-1
http://files.eric.ed.gov/fulltext/EJ878355.pdf
https://doi.org/10.1016/j.ssresearch.2016.08.007
https://doi.org/10.1016/j.ssresearch.2016.08.007
http://www.srcd.org/sites/default/files/documents/spr_30_1.pdf
http://www.srcd.org/sites/default/files/documents/spr_30_1.pdf
https://doi.org/10.1016/j.jsp.2006.05.005
https://doi.org/10.1177/0038040714567866
https://doi.org/10.1177/0038040714567866
https://doi.org/10.1177/10983007040060030201
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC3905751/
https://www.ncbi.nlm.nih.gov/pmc/articles/PMC3905751/


Kamphaus, R.W., Thorpe, J. S., Winsor, A. P., Kroncke, A. P., Dowdy, E.
T., & VanDeventer, M. C. (2007). Development and predictive va-
lidity of a teacher screener for child behavioral and emotional prob-
lems at school. Educational and Psychological Measurement, 67(2),
342–356. https://doi.org/10.1177/00131644070670021001

Kern, L., & Manz, P. (2004). A look at current validity issues of school-
wide behavior support. Behavioral Disorders, 47–59. https://doi.
org/10.1177/019874290403000102.

King, K. R., & Reschly, A. L. (2014). A comparison of screening instru-
ments: predictive validity of the BESS and BSC. Journal of
Psychoeducational Assessment, 32(8), 687–698. https://doi.org/10.
1177/0734282914531714

King, K., Reschly, A. L., & Appleton, J. J. (2012). An examination of the
validity of the behavioral and emotional screening system in a rural
elementary school : validi ty of the BESS. Journal of
Psychoeducational Assessment, 30(6), 527–538. https://doi.org/10.
1177/0734282912440673

Lane, K. L., Kalberg, J. R., &Menzies, H.M. (2009).Developing school-
wide programs to prevent and manage problem behaviors (p. 157).
New York: Guilford.

Lane, K. L., Kalberg, J. R., Menzies, H., Bruhn, A., Eisner, S., &
Crnobori, M. (2011). Using systematic screening data to assess risk
and identify students for targeted supports: illustrations across the
K–12 continuum. Remedial and Special Education, 32, 39–54.
https://doi.org/10.1177/0741932510361263

Leys, C., Ley, C., Klein, O., Bernard, P., & Licata, L. (2013). Detecting
outliers: do not use standard deviation around themean, use absolute
deviation around the median. Journal of Experimental Social
Psychology, 49(4), 764–766. https://doi.org/10.1016/j.jesp.2013.
03.013

Losen, D., Hodson, S., Keith, M. A., Morrison, K., & Belway, S. (2015).
Are we closing the school discipline gap? The Center for Civil Rights
Remedies at the Civil Rights Project. Retrieved from https://www.
civilrightsproject.ucla.edu/resources/projects/center-for-civil-rights-
remedies/school-to-prison-folder/federal-reports/are-we-closing-the-
school-discipline-gap/AreWeClosingTheSchoolDisciplineGap_
FINAL221.pdf.

Mathis, W.J. & Trujillo, T.M. (2016). Lessons from NCLB for the Every
Student Succeeds Act. Boulder CO: National Education Policy
Center. Retrieved from http://nepc.colorado.edu/files/publications/
PB%20Mathis-Trujillo%20ESSA_0.pdf.

McIntosh, K., Frank, J. L., & Spaulding, S. A. (2010). Establishing
research-based trajectories of office discipline referrals for individ-
ual students. School Psychology Review, 39(3), 380–394 Retrieved
from http://web.b.ebscohost.com.libproxy.tulane.edu:2048/ehost/
pdfviewer /pdfviewer?s id=331bfb61-aff4-4676-b91e-
0bf9235fd2b2%40sessionmgr198&vid=2&hid=113

Merrell, K. W., Juskelis, M. P., Tran, O. K. Buchanan, R. (2008). Social
and Emotional Learning in the Classroom: Evaluation of and on
Students' Social-Emotional Knowledge and Symptoms . Journal
of Applied School Psychology 24(2), 209–224. https://doi.org/10.
1080/15377900802089981

Miller, F. G., Cohen, D., Chafouleas, S. M., Riley-Tillman, T. C., Welsh,
M. E., & Fabiano, G. A. (2015). A comparison ofmeasures to screen
for social, emotional, and behavioral risk. School Psychology
Quarterly, 30(2), 184. https://doi.org/10.1037/spq0000085

National Education Association. (n.d.). Indicators of future success: GPA
and noncognitive skills. Washington: NEA Education Policy and
Practice Department, Center for Great Public Schools Retrieved
from https://www.nea.org/assets/docs/Indicators_of_Success-
BGH_ac5-final.pdf

Nelson, R., Benner, G., Reid, R., & Currin, D. (2002). The convergent
validity of office discipline referrals with the CBCL-TRF. Journal of
Emotional and Behavioral Disorders, 10(3), 181–188. https://doi.
org/10.1177/10634266020100030601

No Child Left Behind Act of 2001, Pub. L. No. 107–110 (2001).
Retrieved from http://www2.ed.gov/nclb/landing.jhtml.

New Orleans Parents Guide. (2015). Available from http://
neworleansparentsguide.org/

O’Connell, M. E., Boat, T., & Warner, K. E. (2009). Preventing mental,
emotional, and behavioral disorders among young people: progress
and possibilities. Washington: The National Academies Press.

Oakes,W. P., Lane, K. L., Cox, M. L., &Messenger, M. (2014). Logistics
of behavior screenings: how and why do we conduct behavior
screenings at our school? Preventing School Failure: Alternative
education for children and youth, 58(3), 159–170. https://doi.org/
10.1080/1045988X.2014.895572

Parisi, D. M., Ihlo, T., & Glover, T. A. (2014). Screening within a multi-
tiered early prevention model: using assessment to inform instruc-
tion and promote students’ response to intervention. In R. J. Kettler,
T. A. Glover, C. A. Albers, &K.A. Feeney-Kettler (Eds.),Universal
screening in educational settings: evidence-based decision making
for schools (pp. 19–45). Washington: American Psychological
Association.

Perfect, M. M., & Morris, R. J. (2011). Delivering school-based mental
health services by school psychologists: education, training, and
ethical issues. Psychology in the Schools, 48(10), 1049–1063.
https://doi.org/10.1002/pits.20612

Predy, L., McIntosh, K., & Frank, J. L. (2014). Utility of number and type
of office discipline referrals in predicting chronic problem behavior
in middle schools. School Psychology Review, 43(4), 472–489.
https://doi.org/10.17105/SPR-13-0043.1

Proctor, S. L., Graves, S. L., & Esch, R. C. (2012). Assessing African
American students for specific learning disabilities: the promises
and perils of response to intervention. The Journal of Negro
Educat ion, 81 (3) , 268–282. ht tps : / /do i .org/10.7709/
jnegroeducation.81.3.0268

Raines, T. C., Dever, B. V., Kamphaus, R. W., & Roach, A. T. (2012).
Universal screening for behavioral and emotional risk: a promising
method for reducing disproportionate placement in special educa-
tion. The Journal of Negro Education, 81(3), 283–296. https://doi.
org/10.7709/jnegroeducation.81.3.0283

Rebell, M. A. (2012). The right to comprehensive educational opportu-
nity. Harvard Civil Rights-Civil Liberties Law Review., 47, 48–117
Retrieved from http://harvardcrcl.org/wp-content/uploads/2012/03/
Rebell.pdf

Reid, J.B., Patterson, G.R., & Snyder, J.J. (2002). Antisocial behavior in
children and adolescents: A developmental analysis and a model for
intervention. Washington, DC: American Psychological
Association.

Renshaw, E., Eklund, K., Dowdy, E., Jimerson, S., Hart, S., Earhart, J., &
Jones, C. (2009). Examining the relationship between scores on the
Behavioral and Emotional Screening System and student academic,
behavioral, and engagement outcomes: an investigation of concur-
rent validity in elementary school. The California School
Psychologist, 14, 89–95 Retrieved from http://files.eric.ed.gov/
fulltext/EJ878363.pdf

Skiba, R. J., Horner, R. H., Chung, C. G., Rausch, M. K., May, S. L., &
Tobin, T. (2011). Race is not neutral: a national investigation of
African American and Latino disproportionality in school discipline.
School Psychology Review, 40(1), 85–107 Retrieved from http://
www.indiana.edu/~equity/docs/Skiba%20et%20al%20Race%
20is%20Not%20Neutral%202011.pdf

Skiba, R. J., Michael, R. S., Nardo, A. C., & Paterson, R. L. (2002). The
color of discipline: sources of racial and gender disproportionality in
school punishment. The Urban Review, 34(4), 317–342.

Skiba, R. J., Ritter, S., Simmons, A., Peterson, R., & Miller, C. (2006).
The Safe and Responsive Schools Project: a school reformmodel for
implementing best practices in violence prevention. In S. R.
Jimerson & M. J. Furlong (Eds.), Handbook of school violence

Contemp School Psychol (2018) 22:424–434 433

https://doi.org/10.1177/00131644070670021001
https://doi.org/10.1177/019874290403000102
https://doi.org/10.1177/019874290403000102
https://doi.org/10.1177/0734282914531714
https://doi.org/10.1177/0734282914531714
https://doi.org/10.1177/0734282912440673
https://doi.org/10.1177/0734282912440673
https://doi.org/10.1177/0741932510361263
https://doi.org/10.1016/j.jesp.2013.03.013
https://doi.org/10.1016/j.jesp.2013.03.013
https://www.civilrightsproject.ucla.edu/resources/projects/center-for-civil-rights-remedies/school-to-prison-folder/federal-reports/are-we-closing-the-school-discipline-gap/AreWeClosingTheSchoolDisciplineGap_FINAL221.pdf
https://www.civilrightsproject.ucla.edu/resources/projects/center-for-civil-rights-remedies/school-to-prison-folder/federal-reports/are-we-closing-the-school-discipline-gap/AreWeClosingTheSchoolDisciplineGap_FINAL221.pdf
https://www.civilrightsproject.ucla.edu/resources/projects/center-for-civil-rights-remedies/school-to-prison-folder/federal-reports/are-we-closing-the-school-discipline-gap/AreWeClosingTheSchoolDisciplineGap_FINAL221.pdf
https://www.civilrightsproject.ucla.edu/resources/projects/center-for-civil-rights-remedies/school-to-prison-folder/federal-reports/are-we-closing-the-school-discipline-gap/AreWeClosingTheSchoolDisciplineGap_FINAL221.pdf
https://www.civilrightsproject.ucla.edu/resources/projects/center-for-civil-rights-remedies/school-to-prison-folder/federal-reports/are-we-closing-the-school-discipline-gap/AreWeClosingTheSchoolDisciplineGap_FINAL221.pdf
http://nepc.colorado.edu/files/publications/PB%20Mathis-Trujillo%20ESSA_0.pdf
http://nepc.colorado.edu/files/publications/PB%20Mathis-Trujillo%20ESSA_0.pdf
http://web.b.ebscohost.com.libproxy.tulane.edu:2048/ehost/pdfviewer/pdfviewer?sid=331bfb61-aff4-4676-b91e-0bf9235fd2b2%40sessionmgr198&vid=2&hid=113
http://web.b.ebscohost.com.libproxy.tulane.edu:2048/ehost/pdfviewer/pdfviewer?sid=331bfb61-aff4-4676-b91e-0bf9235fd2b2%40sessionmgr198&vid=2&hid=113
http://web.b.ebscohost.com.libproxy.tulane.edu:2048/ehost/pdfviewer/pdfviewer?sid=331bfb61-aff4-4676-b91e-0bf9235fd2b2%40sessionmgr198&vid=2&hid=113
https://doi.org/10.1080/15377900802089981
https://doi.org/10.1080/15377900802089981
https://doi.org/10.1037/spq0000085
https://www.nea.org/assets/docs/Indicators_of_Success-BGH_ac5-final.pdf
https://www.nea.org/assets/docs/Indicators_of_Success-BGH_ac5-final.pdf
https://doi.org/10.1177/10634266020100030601
https://doi.org/10.1177/10634266020100030601
http://www2.ed.gov/nclb/landing.jhtml
https://doi.org/10.1080/1045988X.2014.895572
https://doi.org/10.1080/1045988X.2014.895572
https://doi.org/10.1002/pits.20612
https://doi.org/10.17105/SPR-13-0043.1
https://doi.org/10.7709/jnegroeducation.81.3.0268
https://doi.org/10.7709/jnegroeducation.81.3.0268
https://doi.org/10.7709/jnegroeducation.81.3.0283
https://doi.org/10.7709/jnegroeducation.81.3.0283
http://harvardcrcl.org/wp-content/uploads/2012/03/Rebell.pdf
http://harvardcrcl.org/wp-content/uploads/2012/03/Rebell.pdf
http://files.eric.ed.gov/fulltext/EJ878363.pdf
http://files.eric.ed.gov/fulltext/EJ878363.pdf
http://www.indiana.edu/~equity/docs/Skiba%20et%20al%20Race%20is%20Not%20Neutral%202011.pdf
http://www.indiana.edu/~equity/docs/Skiba%20et%20al%20Race%20is%20Not%20Neutral%202011.pdf
http://www.indiana.edu/~equity/docs/Skiba%20et%20al%20Race%20is%20Not%20Neutral%202011.pdf


and school safety: from research to practice (pp. 631–650). New
York: Routledge.

Staats, C., & Patton, C. (2014). State of the science: implicit bias review
2014. Kirwan Institute for the Study of Race and Ethnicity.
Retrieved from http://kirwaninstitute.osu.edu/wp-content/uploads/
2014/03/2014-implicit-bias.pdf.

Tabachnick, B., & Fidell, L. (2007). Using multivariate statistics (5th
ed.). London: Pearson Education, Inc.

Vaillancourt, K., Cowan, K. C., & Skalski, A. K. (2013). Providing men-
tal health services within a multi-tiered system of supports. In J.
Desrochers & G. Houck (Eds.), Depression in children and adoles-
cents: guidelines for school practice. Bethesda: NASP & NASN.

Vander S. A., Weiss, N. S., Kuo, E. S., Cheney, D., & Cohen, P. (2003).
What proportion of failure to complete secondary school in the US
population is attributable to adolescent psychiatric disorder? Journal
of Behavioral Health Services and Research, 30(1), 119–124.
https://doi.org/10.1007/BF02287817

Wadsworth, M., & Rienks, S. (2012). Stress as a mechanism of poverty’s
ill effects on children: making a case for family strengthening inter-
ventions that counteract poverty-related stress. CYF News, Special
Edition on Poverty, Health Disparities, and the Nation’s Children.
Retrieved from http://www.apa.org/pi/families/resources/newsletter/
2012/07/stress-mechanism.aspx.

Walker, H., Severson, H. H., & Seeley, J. (2010). Universal, school-based
screening for the early detection of academic and behavioral prob-
lems contributing to later destructive outcomes. In H. M. Walker &

M. Shinn (Eds.), Interventions for achievement and behavior prob-
lems in a three-tier model including RTI (pp. 677–703). Bethesda:
National Association of School Psychologists.

Warren, J. S., Edmonson, H. M., Griggs, P., Lassen, S. R., McCart, A.,
Turnbull, A., & Sailor, W. (2003). Urban applications of school-
wide positive behavior support critical issues and lessons learned.
Journal of Positive Behavior Interventions, 5(2), 80–91. https://doi.
org/10.1177/10983007030050020301

Shereen Naser is a faculty member at Cleveland State University. Her
research centers on helping schools build capacity for responding to stu-
dent behavior with a focus on effective behavioral referral and interven-
tions strategies for ethnically, racially and culturally diverse youth.

Jeffrey Brown is an Assistant Professor of School Psychology at
Minnesota State University, Mankato. He received his Ph.D. in School
Psychology from Tulane University. His research interests include social
emotional development in children of color and school support systems
for LGBTQIA+ students.

Jorge Verlenden is a postdoctoral health policy fellow at the Satcher
Health Leadership Institute of Morehouse School of Medicine. Dr.
Verlenden investigates policies and programs to support the well being
of children and youth and to address issues of health disparity.

434 Contemp School Psychol (2018) 22:424–434

http://kirwaninstitute.osu.edu/wp-content/uploads/2014/03/2014-implicit-bias.pdf
http://kirwaninstitute.osu.edu/wp-content/uploads/2014/03/2014-implicit-bias.pdf
https://doi.org/10.1007/BF02287817
http://www.apa.org/pi/families/resources/newsletter/2012/07/stress-mechanism.aspx
http://www.apa.org/pi/families/resources/newsletter/2012/07/stress-mechanism.aspx
https://doi.org/10.1177/10983007030050020301
https://doi.org/10.1177/10983007030050020301

	The...
	Abstract
	Collecting Data on Student Behavioral and Emotional Risk in Schools
	Predictive Validity of the BESS
	The Current Study

	Method
	Participants
	Procedure
	Measures
	BESS Teacher Form


	Results
	Data Screening
	Descriptive Statistics
	Hierarchical Linear Regression

	Discussion
	Limitations and Future Directions
	Summary

	References


