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Abstract

The operator splitting method has been effectively applied to jump-diffusion models, and
it is also easy to implement because the differential and complementarity restrictions are
decoupled and solved separately. Despite their ubiquity, these operator-splitting approaches
for jump-diffusion models have no stability and error analysis. In this direction, we performed
a priori stability analysis for the implicit—explicit backward difference operator splitting
techniques (IMEX-BDF-OS). After the stability analysis, we established the error estimates
for IMEX-BDF1-0OS and IMEX-BDF2-OS techniques. To validate the theoretical results,
numerical evidence of the pricing of American options under Kou’s and Merton’s jump-
diffusion models has been shown.

Keywords Operator splitting - Jump-diffusion - American options - Linear
complementarity problems - Stability analysis - Error analysis

Mathematics Subject Classification 65M06 - 65M12 - 65M15

1 Introduction

One of the most extensively used models in option pricing is the Black—Scholes (BS). The
stock price in the classical Black—Scholes model is a standard Wiener process that is continu-
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ous in time. Jumps can occur at any time, and the log-normal distribution characteristic of the
stock price cannot capture these jumps in the classical Black—Scholes model. Several models
have been developed in the literature to overcome the above problem. Merton’s (1976) and
Kou’s (2002) jump-diffusion models are the most frequently applied models among them.
For the jump-amplitudes, Merton recommended a log-normally distributed process, whereas
Kou proposed a log-double-exponentially distributed process.

To evaluate the price of the American option under the jump-diffusion process, the solution
of a linear complementarity problem having a non-local integral operator is required. In
order to, many methods have been proposed in the literature to solve the discretized linear
complementarity problem arising in American option pricing.

For these types of problems, Kwon and Lee (2011) proposed a three-time levels implicit
numerical method combined with an operator splitting technique to approximate the value
of American options where the underlying asset acts in accordance with a jump-diffusion
model. Huang et al. (2013) proposed the finite difference technique under the jump-diffusion
model on a piecewise uniform grid with the help of a penalty approach for pricing the
American put options. Huan et al. (2011) analyzed a number of techniques with penalty
approach for pricing American options under a regime switching stochastic process. Salmi
and Toivanen (2011, 2014) proposed an iterative method and a family of implicit—explicit
time discretization techniques for option pricing problems. To handle the different boundary
conditions and non-smooth initial conditions for numerous underlying claims, Chen et al.
(2012) presented a spectral element method, Pindza et al. (2014) established a robust spec-
tral technique, Company et al. (2021) proposed a front-fixing exponential time differencing
(FF-ETD) technique, Kumar and Deswal (2021) provided a wavelet-based approximation
approach for examining the sensitivity and value of American options determined by LCPs.
Wang et al. (2019) show the stability and error estimations of the variable step-size IMEX
BDF2 approach applied to the abstract partial integro-differential equation with nonsmooth
initial data, which demonstrates the jump-diffusion option pricing model in finance. They
gave the stability analysis and derived the consistency error and the global error bounds for
the variable step-size IMEX BDF2 method up to the second order for the European style
option and explored the possibilities for the American style option.

Inrecent works, Kadalbajoo etal. (2015a,b, 2016) examined the efficiency of the meshfree
method to deal with option pricing problems based on the local radial basis function for
numerically solving the multi-dimensional option pricing problem and solved the PIDE that
occurs when the underlying asset act in accordance with the jump-diffusion process using
an RBF-based approach. Saib et al. (2012) come up with a differential quadrature rule based
on RBF for spatial discretization along with integration with respect to exponential time
to work under the jump-diffusion model, Yousuf et al. (2018) solved the complex PIDE
systems and Thakoor et al. (2018) devised a compact-RBF scheme with the use of local
mesh refinement scheme which helps to achieve the higher order accuracy. Dehghan et al.
(2018) presented a new class of radial basis function and explored its efficiency in option
pricing problems. Haghi et al. (2018) introduced a new combination of an RBF-based finite
difference method, and Bastani et al. (2013) presented an RBF-based collocation method for
pricing American options. Some other mesh free works for option pricing problems can be
found in Mollapourasl et al. (2018); Rad and Parand (2017) and reference therein.

Further, Akbari et al. (2019) also used a compact finite difference scheme to evaluate the
option value under the exponential jump-diffusion models, Patel and Mehra (2018) presented
a fourth-order compact method to evaluate the option value under the Kou’s and Merton’s
jump-diffusion models, other authors (Chen et al. 2019; Diiring and Pitkin 2019; Thakoor
et al. 2013) also used the compact finite difference schemes for option pricing models. To

@ Springer f b/v\/\



Errors in the IMEX-BDF-OS methods for pricing American style... Page3of22 6

solve parabolic PIDEs with non-smooth payoff function, Wang et al. (2021) developed an
IMEX midpoint formula with variable spatial step sizes and variable time steps. In del Carmen
Calvo-Garrido and Vazquez (2015), the authors show the effects of jump-diffusion models
for the house price evolution in the pricing of fixed-rate mortgages with prepayment and
default options. Tour et al. (2020) introduced a spectral element method to evaluate the price
of the option. The mesh-free moving least-squares approximation is used in Shirzadi et al.
(2020) to evaluate the price of multi-asset options under the jump-diffusion processes.

To mitigate the iterative procedure, we employed the Backward difference IMEX method-
ology with the association of the operator splitting approach to evaluate the price of an
American option. Operator splitting technique has been used proficiently for several Black—
Scholes models (Chen and Shen 2020; Cho et al. 2022; Ikonen and Toivanen 2009; Kazmi
2019; Li et al. 2019; Patel and Mehra 2017; Xu et al. 2022). In recent research, Chen et al.
(2019) developed a new OS technique for pricing the value of American options under the
time-fractional Black—Scholes models, Boen and In’t Hout (2020) present the operator split-
ting strategies for two-asset Merton jump-diffusion model. OS techniques are durable to apply
since the differential equation and complementarity conditions are disentangled and rapidly
solved on their own. But beyond their omnipresence, these operator-splitting approaches still
lack some mathematical support. Recently, Chen and Shen (2020) had established the stabil-
ity results for BDF1 operator splitting (BDF1-OS) and BDF2 operator splitting (BDF2-OS)
methods along with error analysis of BDF1-OS method for Black—Scholes model. Through-
out this paper, we primarily concentrated on the stability and error analysis of the operator
splitting method for the jump-diffusion model and undergo careful investigation of the related
numerical techniques. We showed the stability and error estimates for IMEX-BDF1-OS and
IMEX-BDF2-0S techniques to solve LCPs arising in the American option pricing under the
jump-diffusion model.

The rest of the manuscript is structured in the following manner. We started with intro-
ducing the jump-diffusion model, describing the basic notations, symbols, and presumptions
used throughout this paper and the construction of the LCP and its associated character-
istics. In Sect. 3, we put forward the operator splitting methods, and in Sect. 4, we verify
their stability analysis. In Sect. 5, we have shown the error estimates for IMEX-BDF1-0S,
IMEX-BDF2-0S methods. In Sect. 6, we put forth some numerical outcomes to verify our
theoretical results and associated discussions.

2 The Jump-Diffusion model

Consider an asset with price S and the stochastic differential equation (SDE) that represents
the fluctuation of the stock price.

ds

5 = (v —«kA)dt +0dZ + (n — 1)dg, (2.0.1)

where 7 is the time to maturity, dZ is an enhancement of standard Gauss—Wiener process, v
is drift rate, o is nonzero constant volatility and X is taken as the intensity of the independent
Poisson process dg, where
da = 0 if probability is 1 — Adr,
=11 if probability is AdT.
Kk is expected relative jump size that is k = E(n — 1), where E[-] represent the expectation
operator and n — 1 is an impulse function producing jump from S to §,,. To put it in another
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way, the arrival of a jump is stochastic, and this is a feature of the stochastic differential
equation for S. As a result, there are two sources of uncertainty. To begin with, the term
dZ denotes typical Brownian motion, and the term dg denotes exceptional and infrequent
events. Geometric Brownian motion and pure jump-diffusion are two particular examples of
Eq.(2.0.1). If the Poisson event does not occur (dg = 0), then Eq.(2.0.1) is equivalent to
the usual stochastic process of geometric Brownian motion assumed in the Black—Scholes
model.
If, on the other hand, the Poisson event occurs, then Eq. (2.0.1) can be written as
ds
5= n—1.
In this situation, most of the time, the path of S is continuous, but finite positive or negative
jumps may appear at discrete points in time. We assume that the jumps and Brownian motion
are independent.
Let V (S, 7) represent the value of the American option, which depends on the asset price
S with current time 7. As we can exercise the American option at any time up to the life of
the option, and we can formulate it as the linear complementarity problem (LCP) based on
the stochastic differential Eq.(2.0.1)

& yrv <o, (8,7) €[0,00) x [0, T)
V(S ) = ®(8) = 0, (8.7) € [0,00) [0, T) 2.02)
(%—ch) (V(S, 1) —®(5) =0 (S, 1) €[0,00) x [0, T) o
V(S,T) = d(S) S € [0, 00).
The spatial operator £ can be defined as:
1 3V vV i
2¢2
LV (S, 1) = i S 352 +(r - )\K)Sﬁ - r+0V +A/ V(Sn)g(n)dn, (2.0.3)
0

where S is the stock price of any asset at time 7 with constant volatility o # 0 and interest
rate r, and the probability density function of the jump with amplitude 7 is given by g(n).

o0
Here, g(n) follow the given properties: g() > 0,V n and f g(n)dn = 1.
0

The option value V (S, T') at the time of maturity T is termed as pay-off function. For the
put option, the pay-off function is given by:

O (S) = max(K — S, 0) 2.04)

with the strike price K.
For the Merton’s jump-diffusion model, g(n) represent the log-normal density

o) = ) exp_(lnn—m)2
. N2mwogn 203 ’

2
where k :=E (n — 1) =exp <,LLJ + %’) —1,and @y and af are the mean and the variance

of jump in return, respectively.
Under the Kou’s model g(n) follows the log-double-exponential density

1
e(n) = ; (pme—m ln(")H(ln(n)) +qme ™ ln(n)H(_ ln(ﬂ))) i
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where H(-) represents a Heaviside function with p > 0,¢g =1 —p,n; > 1,172 > 0 and «
is given by « := P 4 q"fl -1

Further, since the problern (2.0.2) is degenerate and backward in time so we can transforrn
itinto anon-degenerate and forward in time problem by using the transformations x = In(< Z)s
y=In(n),t=T —tandv(x,t) := V(Ke*, T —1),i.e.

—Lv>0 x,t) eRx J,
v(x,t) — ®(Ke*) >0 x,t) eRx J, 2.05)
(2 — Lv) (v(x, 1) — P(Ke*) =0 (x,1) e R x J, e
v(x,0) = ®(Ke") x €R,

where J = (0, T'] and the spatial operator can be defined as
o0
Lo = 22 P (2T s av(+k)+k/(t)f( )d
v(x,t) = 0" — —— —d—ik | — —(r v v(y, — x)dy.
27 a2 2 ox P DIy
—00

(2.0.6)

We have, £ = D+Z, where D represents the differential operator and 7 is used as an integral
operator, such that

Dot = 2022 m T g ) 2 i 2.0.7)

vix,t) = 20 952 r 3 K ox r v, .0.
o0

Iv(x,t):)\/v(y,t)f(y—x)dy. (2.0.8)
—00

After applying the given transformation, we can write the function f(y) as:

Q= ‘”) ) Merton’s model,

1
f(y) = V2moy e*p(—
pnie '71»‘H(y)+qnze MYH(—y) Kou’s model.

To approximate the integral term on truncated domain €2, we used the composite trapezoidal
rule.

For evaluational purposes, we localized the problem (2.0.5) on a bounded domain 2 :=
(xL, x®) with xL and x® € R. Now, considering u(x, t) as a solution of the following
localized problem (2.0.9)

—Lu>0 (x,t) e R x J,
u(x 1) — O(Ke*) >0 (x,1) e R x J, (2.0.9)
(% — Lu) (u(x, 1) — ®(Ke*)) =0 (x,1) € @ x J, -
u(x,0) = d(Ke") x € Q,
with
u(x,1) = B(x, 1), (x,1) € Q€ xJ,
and
D(Keb) (x,1) € 92 x J,
B(r.1) = | ®(Ke") s (x,1) € (@ N i) x T, 2 S Qi
0 : (x,t)eﬁ%igx.]_.
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Here, 02 represents the boundary of 2, Q¢ = R\, J = [0,T] and Qpig is an open
connected and bounded subset of R (See, for example, Kadalbajoo et al. (2015b)).

The problems (2.0.2) and (2.0.9) are stated to have unique solutions under specific assump-
tions relating to the coefficients of the spatial operator £. Moreover, within the interior of
the domain, the localization error due to the domain truncation decreases exponentially with
respect to the domain size (see, for example, Cont and Voltchkova 2005; Garroni et al. 1992;
Matache et al. 2004).

3 Operator splitting methods

Ikonen and Toivanen (2004 ) introduced the operator splitting approach for pricing the value of

the American put option. The primary idea behind introducing the operator splitting technique

is to derive an expression with the help of an additional variable i such that = u; — Lu.
We can reformulate LCP (2.0.9) as

5 —Lu=1,

(u(x, 1) — ®(Ke*)) - =0,
ux,t) — d(Ke*) >0,

¥ >0,

(3.0.1)

in the region Q2 x J.

Let the system (3.0.1) be initially discretized in time with uniform grid #, = nk, n =
0,1,2,..., N with temporal mesh length £ and N + 1 to be the total numbers of temporal
mesh points. Where u(x, t,,) abbreviated as u,.

Now, we briefly discussed the IMEX-BDF-OS methods for the temporal discretization of
LCP (3.0.1).

3.1 IMEX-BDF1-0S method

Let us split the governing equation u; — Lu = 1 into two discrete equations on the (n + 1)th
time level as

(%) — Diiyy1 — AL(tty) = Y, 3.1.1)

(%) — Diiy1 — AT(n) = Y1 (3.12)

Here, the discrete problem for LCP (3.0.1) is to find the pair (u+1, V¥n+1) that satisfy the
discrete equations (3.1.1) and (3.1.2) as well as the constraints,

Uptl = D,
Yny1 =0, (3.1.3)
Ynt1 Upgp1 — @) =0.

We will compute the solution of (3.0.1) using the IMEX-BDF1-OS techniques in two steps.
First, we determine the intermediate approximation i, 4| with the help of Eq.(3.1.1) under
given boundary conditions

i1 (x5) = K, iiny1(x®) =0,

and the known auxiliary term .
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Second, we develop a relationship between i, and ¥,,+1 in (3.1.2). To do so, we restate
the Eq.(3.1.2) as a problem, combining Eq. (3.1.1) and the restrictions in (3.1.3) in order to
determine the pair (u;,+1, ¥,+1), such that

: "Wllcﬂ = 1//n+1 - wn» (314)
Vnt1(Upp1 — P) =0,

with the constraints
Up+1 = @ and Y41 > 0. (3.1.5)

Again, by solving the problems (3.1.4)—(3.1.5) in (#,+1, ¥,+1) plane, we get

(@, Y+ Z7EL) if iy — ki < @,

3.1.6
(Ups1 — kY, 0)  otherwise. ( )

(Un+1, Ynt1) = {

As a result, the second step may be completed by solving the discrete equation (3.1.1) using
the modified formula (3.1.6). Using initial condition and assigning value ¥p = 0 on the
zeroth time level, the pair («¢, ¥¢) may be achieved. One can use the algorithm discussed in
Kwon and Lee (2011).

3.2 IMEX-BDF2-0S method

Let us assume that the values {u,, ¥,} and {u,_1, ¥,—1} are a priori, known at the points
t, and t,_1. We perform two sub-steps at discrete point #,11. In first step, we compute an
intermediate value i, using the following BVP (3.2.1)

{ % (%’;n+l —2up + %un—l) — Ditpt1 — AL(Eup) = Y, (3.2.1)

’Zn+1(xL) =K, ﬁn+l(xR) =0,
where Eu, = 2u, — uy—1.

In the second step of the operator splitting method, we project the i, on constraint
space to obtain u,1 with the following correction terms

3(upg1—ling1) _
ST = Y — Y,

+1
wtt = @, (3.2.2)
I//n+l > 0,
Ynt1(Upt1 — @) = 0.
Now, by solving the problems (3.2.1)—-(3.2.2) in (4,41, ¥n+1) plane, we get
(@, Y + 3270 ifi g — Ky < @,
(Unt1s Y1) = nT2 ok SRS (32.3)

(ln+1 — %Wn, 0) otherwise.

Thus, the first step may be accomplished by solving a discrete Eq. (3.2.1), and the second step
can be performed by using the updating formula (3.2.3). The value on the previous two-time
levels is required by the implicit technique with three-time levels, as described above. Using
starting condition and assigning value ¥ = 0, the pair (19, ¥o) on the zeroth time level
may be achieved. Alternatively, one can also use the algorithm discussed in Kwon and Lee
(2011). We shall use the IMEX-BDF1-OS method to find the pair (11, 1) at first level.
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4 Stability analysis

For theoretical convenience, let us transform the problem (3.0.1) into a problem with
homogeneous boundary conditions without loss of generality, i.e.,

W _Lw=y+f, (x,1) € 2 x J,

(w(x, 1) —woex)) - ¥ =0, (x,1) e xJ,

w(x,t) —wp(x) >0, (x,1) e Q x J,

Y >0, x,HeQxJ, 4.0.1)
w(x, 0) = wo(x), x e

w(x, 1) =0, (x,1) € 0 x J,

where wo(x) := ®(Ke*) — p(x), w(x, 1) = u(x,t) — p(x) and f = L¢, x € R, and

xR

X p(Ket) + 22 d(Ket) 1 x € %,

—X

PL YR_L S
P(x) = d(Ke*) L x € QN Qg
0 :xeﬁ%ig.

Alternatively, one can also find this algorithm in Kadalbajoo et al. (2015b).

Lemma 1 (Discrete Gronwall’s Lemma) Suppose that «,, is a non-negative sequence, and
that the sequence B, satisfies

Bo < do,

n—1 n—1
Bn <8+ > wm+ Y afrn=>1,
k=0 k=0

then B, satisfies
B1 = 8o(1 + ap) + 10,
n—1

n—1 n—2
Bn <8 [I[U4+a)+ > m [l A+og)+ ya—1n=2.
k=0 k=0 s—k+1

Moreover, if §o > 0 and y, > 0 for n > 0, it follows
n—1 n—1
Bn < <30 +y )’k) exp()_ ), n > 1.
k=0 k=0
Proof See Quarteroni and Valli (2008). ]

4.1 ldentities and inequalities

We will frequently use the following identities and inequalities in the stability and error
analysis.

(Dw, w) < afw]?, (I
2 1 2
(a,b) <ea +4—b, a,beR and € > 0, (12)
€
2(a—b,a) = lall* = IblI* + la — b|1%, (13)
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2@a—4b+c,a)=a*>+ Qa—b?*—b>—@2b—0c)*+(a—2b+c)>, (14)

(,., % 7)\K>27(2(r+k)02)

where o = 357

, and for the proof of inequality (I1), one can see

Kadalbajoo et al. (2016) and reference therein.
We shall use the following result in the analysis, for all w(-, t) € L%(Q),t € (0, T) such
that

_ _Jwl, ) (x, 1) € 2 x[0,T],
wr. 1) = {0 L (x,1) € Q% [0, T].
The integral operator Z(w) follow the condition ||[Zw(-, t)|| < Crllw(:, t)||, where Cy is a

1
constant that is independent to  and [Ju|| := (fq, |u(x)|*dx)? .

4.2 Stability analysis for IMEX-BDF1-0S

T

Theorem 1 Under the assumption k < the scheme is stable, V1 < m < T in

the following sense:

1
2@at1+ACr)’

1 m—1 ) m—1
lwm I+ 5 3 Dt = wall® + K2y |* < C (nwon2 +kllyoll® +& Y lwoll®
n=0 n=0

m—1

m—1
+EY IR +EDY ||wn||2),
n=0 n=0

where C is a constant that depends on the parameters Cy, r, o, » and T, but may not be the
same at each occurrence.

Proof Consider the Eq.(4.0.1)

ﬁ)n+1 — Wy

; = Divpy1 + AZ(wp) + f + ¥n. 4.2.1)

After taking the inner product of both sides of (4.2.1) with 4kw,,+ and using the identities
(I3) and (I1), we have

2011 = 2wnll? + 20 Bpsr — wall*
< Akorl| @ |12 + 4A(T(Wn), Wns1) + 4k(F, Dns1) + 4k n, Bpi1). (4.2.2)

Consider the Eq. (3.1.4), we have
Wyl — Wo — KYyg1 = Wut1 — wo — k. (4.2.3)

Taking the inner product of both sides of (4.2.3) with itself and using some inequalities from
Sect. 4.1, we have

1
lwag1 I + llwoll® — Enwmnz —2llwoll® + K1 Yns11> = 2k(wnt1 — wo, Yut1)

< 20| @ns11* + 2llwoll® + K2 l1> = 2k (@np1, Yn) + 2k (wo, V).
4.2.4)
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6 Page100f22 D.K. Yadav et al.

Now, adding up the inequalities (4.2.2) and (4.2.4) with the use of (w,+1 — wo, ¥u+1) =0,
we get

1 .
Ellwn+1||2 =2l wa ll? 4 2 @ns1 — wall* + K2 U1 12 = 1l

< 3llwoll® + 4kat || W1 11> + AT (wy), Wyp1) + 4k(f, Wnt1)
2k (W1, W) + 2k (wo, Yn).

After small calculations
1 2 l 2 E ~ _ 242 2 2
2IIwn+1|| 2IIwnII +2||wn+1 wu 17+ k(1 Yn+1l” — 1)

< 3llwoll?® + 2k(@er + 1+ ACP) || Bnr1 — wpll?

3
+ <2k(4a + 14 ACp) +4kACr + 5) lw, |1
+8KN £ + 2kl 1* + kllwoll® + Kl v 1.

: 1
Assumlng that k < m, we get

1 1 1 .
Slwns 1> — Enwnn2 + 5 Ibnsr = wall? + K2 U1 12 = 1¥l®)
3
< 3llwol® + (2k(4a + 14 AC)) + 4kACr + 5) llwn I
+8kI| £11 + 2k Wnll* + kllwoll® + kIl ¥

Taking the summation on both sides of the above inequality fromn =0tom — 1

m—1
lwmll® + > 181 — wa > + 267 [ Yl
n=0
m—1
2 2 2 2
< |lwoll* + 2k~ |0~ + (6 + 2k) Z [lwoll* + (4k(4a + 1 + ACy) + 8kACr + 3)
n=0

m—1 m—1 m—1
D wall? 4+ 16k Y 1FI7 + 6k D M1yl
n=0 n=0 n=0

Applying the Lemma 1, we get,

m—1
lwnll* + Y gt — wall® + 262 |y |1
n=0
m—1 m—1 m—1
< (uwon2 + 262 | Yoll* + (6 +26) Y lwoll* + 16k > I FII* + 6k Y ||wn||2> :
n=0 n=0 n=0

4.2.5)
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Further simplifying the inequality (4.2.5), we obtain the desired result,

1m—l ) m—1
lwmll® + 5 D Bt = wall* + K 1Yml* < (nwon2 +kllwol> + & Y woll®
n=0 n=0

m—1

m—1
HY IR HED ||wn||2> :
n=0 n=0
where C’ is a constant that depends on the parameters Cy, r, o, A and 7. O

4.3 Stability analysis for IMEX-BDF2-0S

Theorem 2 Under the assumption k < m the scheme is stable, V2 < m <
the following sense:

1 8
ol + lwm 112+ 5 D7 D 12 + Gk

n=1
m—1 m—1 m—1
<cC (nwon2 Flwill>+ kY NI +E D lwoll® +& D llyml® + K[ ||2> :
n=lI n=1 n=l1

where C is a constant that depends on the parameters Cy, v, o, A and T.

Proof Consider the Eq.(3.2.1),

3lbn+l - 4wn + wp—1
2k

Taking the inner product of both sides of the Eq. (4.3.1) with 4kw, 1| and using the identity
(I1) and (14), we have

= Dyt + AL (EWY) + f + Yn. 4.3.1)

Bt 11 — Nwnll? + 128511 — wall® = 12wn — wae1 I + 1 Bns1 — 2wn + wyei ||
= 4k(Dibp i1, Wnt1) + AT EWn), Wnt1) + 4k, Wpr1) + 4k W, Wos1),
< 4kat|| i1 1|% + 4AT(EWwp), Wnt1) + 4k (f, Dpi1) + 4k (W, Wos1)- 4.3.2)

Now, consider the Eq.(3.2.2)
2 . 2
Wyt — Wo — gkl/fn—'rl = Wp41 — Wo — gk\/fm (4.3.3)

Taking inner product of (4.3.3) from both sides with itself, we have

4 4 - 4
st = woll® + GR Y41 l1® = SkGwats = wo, Yag1) = libnsr — woll® + G2 1Y
4
_gk(wn—&-l — wo, Yn).
Using some inequalities from Sect. 4.1 and some calculations, we have

1 4 4
lwas1l1* + lwoll* — S It I = 2flwoll* + §k2||1//n+1 1> - 3K Wn1 = wo, Yur1)

S 2, 40 24 4
= 2| wa1 17 + 2fjwoll +§k 1l —gk(wn+1,¢n)+§k(wo,1ﬁn)- 4.3.4)
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Now, multiplying the inequality (4.3.2) by 2 and adding with inequality (4.3.4) and using
(Wnt1 — wo, Yny1) = 0, we get

1 . -
inwm||2—2||wn||2+2||2wn+1 — wpll> =202wy — w1 P42 Bng1 — 2wy + wy—i ||
4
+ §k2||n/fn+1 I
~ 5 5 4
< 8ka||bpr1]I* + 8kAT(Ewy), Wpt1) + 8k(f, Was1) + 3lwol® + §k2||wn||2
20 4
+ ?k(w}’l+1a 1//n) + gk(wo, 1pn)

After some calculation with the help of some inequalities from Sect. 4.1, we have

- 8
lwat1 11> = Nwnll? + 31 Bagr 11> + 8 (lwall* — lwa—11?) + &2 (1Wns1 1> = 1¥all?)

9
ﬂ 2 2 2 ~ 2
< =3 lwnl® 4 3263C lwnll® + 8KAC l[wn 112 + 4k (4ot + 1+ 3CD) i1 |
212 4k + 18)
+ 32k £11> + 7k||z/fn||2 + fnwonz. (43.5)

Assuming that k < m, then from (4.3.5) we have

. 8
w1 12 = Nlwnl? + 117 + 8 (w1 — wa—111?) + §k2 (111 = 1¥nll?)

571
= 3 lwnl® + 3263Clwall* + 8KAC l[wn—1 12 + 3241 /|

212 (4k + 18)
+=5 Kl + ——=—

Adding the Eq. (4.3.6) fromn = 1tom — 1

l[woll. (4.3.6)

m—1
- 8 8
w1 = w4 3 w12 4+ 8llwm 112 = 8llwoll* + Sk 1Ym 1> — SR I1¥ 1
n=1
571 m—1 m—1 m—1
< (E + 3zsz> D llwall® +8kAC, Y llwa—rl* + 32k I £1I
n=1 n=1 n=1
4k + 18 " 212 "l
+ ( 3 ) D woll® + =57k 3 vm)I. (4.3.7)
n=1 n=1
m—1 3
lml® 4+ 3 gt + 8llwm1 I + K1Y
n=1
8 571 ml
= 8llwoll® + lwI” + Gk 117 + (H +40kxc,> > lhwall?
n=0
m—1 m—1 m—1
4k + 18 212k
+326 D IFIP + ( 3 ) D lwoll® + == vmll” 4.3.8)
n=1 n=1 n=1
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Applying the Lemma 1 on (4.3.8), we have
2 2 1 = ~ 2 8 2 2
w1 + w1 +5; st + G2 1Y

m—1 m—1 m—1
<C (nwon2 FlwilP+E D AP +E D Nwol® + kD vl +k2||w1||2> :
n=1

n=l1 n=1

(4.3.9)

m}

5 Error analysis

In the last section, we have established the stability results. Now, we shall derive the corre-
sponding error estimates for IMEX-BDF1-OS and IMEX-BDF2-OS techniques by assuming
the exact solution is adequately regular. First, we established the error function and error
equation. Denoting the analytic solution at #,, by w(-, t,,) and similar for other related variables.

5.1 Error analysis for IMEX-BDF1-0S

We define e, = w(-, tn) — Wy, é’n =w(, ) — lZ)ns h, = W(, In) — wn and 1//(7 thrl) -
¥ (-, t,) < ck, where c is a generic constant and independent of n.
From the continuous system (4.0.1), we have

w('a tﬂ+l) - IU(', tn)
k

=Dw(, tpg1) + AZ(w(t)) + f + ¥ tp1) + Royr, 5.1.1)

where R, is truncation error for given method.
Now, we consider the equation for IMEX-BDF1-OS,

w = D(Wp41) + AZWn) + Y + f (5.1.2)

To get the error equation, we subtract (5.1.2) from (5.1.1) and get

€l —€p

k = D(ep+1) + 2Z(ey) + gn + Ryut1, (5.1.3)

where g, = ¥ (-, th+1) — ¥y, We can obtain another error equation from (3.1.4), as follows,

eyl — €ntl

3 =hni1 = gn + ¥ (tny1) — ¥ (1), (5.1.4)

or

€n+1 — én+l

k =hn+l — &n> (515)

where g, = h, + ¥ (-, th+1) — ¥ (-, t,) and let ¥ is adequately smooth such that || g, || <
17l + ck.
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. 1 . .
TheoTem 3 Under the assumption k < aaTie e have following error estimates for
the given method:

-1

1< T

leml + 5 Z?‘) lensil? < CK2 V1<m <
n=|

where C is a constant that depends on the parameters Cy, r, o, A and T.

Proof Consider the Eq.(5.1.3)
én+1 — €y
k

Taking the inner product from both sides of (5.1.6) with 2k(e,+1) and using the identities
(IT) and (I3), we have

= D(€nt1) + AZ(en) + gn + Rus1- (5.1.6)

lénst11? = leall® + 1ns1 — enll* < 2kat)|&n1l|* + 2kACT ll€n |l 1En1 I
2k (gny ént1) + 2k(Rut1, éns1)- (5.1.7)

Consider the Eq.(5.1.5)
ent1l —khyy1 = epy1 — kgn. (5.1.8)
Taking inner product of (5.1.8) from both sides, with itself :
lews 17+ K2 Nrns1 17 = 2kCenst has) = [@ns1ll? + K2 full® = 2k @1 g). (5.1.9)

Now, adding up the Eqgs. (5.1.7) and (5.1.9), and observing that 2k (e, +1, h,+1) < O with the
use of some inequalities from Sect. 4.1, we have

lent1ll> = llenll® + 18t — enll* + kst 1 — lgnll®)
< k(4o + 14+ ACDIen41 — enll® + k(4o + 30Cr + Dllenl|* + 4k Ryt111€5.1.10)

Assuming that k < m, we have from (5.1.10)

1 .
lentill* — lleall* + S lénts = enll? + K2 (Ihnt1 117 = llgnll®) < k(4o +31C; + Dllen )
4k Ry1 117
Adding the above equation from n = 0 to m — 1 and using the result || g, |> < 2||A, [|* + 2ck?

with some calculations, we have

1mfl y
lemll> = lleoll® + 5 D7 1ens1 = enll® + K2l I* = oll*)

n=0
m—1 m—1 m—1
< k(a +32C + 1) Y lleall® + 52 Y (hall® + ck® +k Y [Ras1 11
n=0 n=0 n=0

Applying the Lemma 1, we get the desired result

1m—l 5
lemll® + 5 D 1ensr = enll® < C*.
n=0
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5.2 Error analysis for IMEX-BDF2-0S

Similarly, for IMEX-BDF2-OS, the error equations are as follows;

3én—&-l - 4€n +en_q
2k

=D(en+1) + AZ(Een) + gn + Rut1, (5.2.1)

and

3(ent1 — €ny1)

2% = hpt+1 — &n- (5.2.2)

. 1 , .
Theorem 4 Under the assumption k < aariTie e have following error estimates for
the given method:

1m—l 3
lemll? +2llem 11> + 5 D 12801 —enl® < CK°, ¥2<m <

n=1

=~

where C is a constant that depends on the parameters Cy, r, o, A and T.

Proof Consider the Eq.(5.2.1),
3En+l - 46,, +en—1
2k

Taking the inner product from both sides of the Eq. (5.2.3) with 4ke,, ;1 and using the identity
(I1) and (I4), we have

=Depy1 +Z(Eey) + gn + Ruy1. (5.2.3)

IEns1? = lleall® + 1128041 — enll* — [12en — en—1 11> + 16n+1 — 2€n + en1|?
< 4kat||én i1 ||? + 4kACIIEen | 1Entill + 4k(gn, Eny1) + 4k(Ryy1, End5)2.4)

From the Eq.(5.2.2)

2 - 2
€nt+1 — gkthrl =é€ntl — gkgw (5.2.5)

Taking the inner product of (5.2.5) from both sides with itself and multiplying by three, we
obtain

2 4 2 2 ~ 2 4 2 2 ~
Sllentill” + kM n 1l = dk(entrs hngr) = 3lentrll” + 3h7lgnll” — 4k(En 1. gn)-
(5.2.6)

Adding up the Eqgs.(5.2.4) and (5.2.6), and noting (e,+1, hp+1) < 0 and ||€ 41 — 2e, +
ea—1]|% = 0, along with some calculations using some inequalities from Sect. 4.1, we get

5 4
lens1l® = llenll® + léns1ll* + gkz (lhnsr 11> = gnll®) + 2 [llenll* — llen—111%]
< 13lenll* + (4 + ACs + Dkl|&ns111* + 32kACs lenll* + 8KAC llen—11I* + 4k Rysr |12

Assuming that k < m, with some basic calculations, further we obtain

1 . 4
lensill* = lleall* + §||en+1||2 + gkz (Mrn1 I = lgnll®) + 2 [llenll* = llen—1117]

< 13)len 1> + 32kACy llen||* + 8kACs llen—1 11> + 4kl Rys111°. (527
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Summing up both sides of the Eq. (5.2.7) fromn = 1 tom — 1 and perform some mathematical
calculations, we get

m—1

1 - 4
lemll® + 2llem11? 4 2 3 Nensa | + 5K 1]
n=1
4 m—1 m—1
< llerl® + 2lleoll” + K2 1> + AOkAC, +13) 3 lleall” + 4k 3 1R
n=0 n=1
4 m—1
+§k2 z(ckz + ckllhn|?).
n—=

Applying Lemma 1, we get

m—1

1 5 4
leml® + 2llem—111> + 5 Z:: [ gkznhm |12

4 m—1 4 m—1
<C (neln2 +2lleol® + SR + 4k D IIRust 1P + 2k D (ck? + ekl ).

n=1 n=1

Further simplifying the equation, we get the desired result

1mfl .
lemll® + 2llem 112 + 2 3 Nensa|? < CK.

n=1

m}

It is important to keep in mind that the limitations on k in the aforementioned theorems are
only adequate for stability. These limitations can be marginally altered with more accurate
analysis.

6 Numerical discussion

In this section, we provided some numerical examples to reinforce our theoretical study.
In order to determine the price of the American option under Kou’s and Merton’s jump-
diffusion models, we explored the convergence behavior of both the IMEX-BDF1-OS and
IMEX-BDF2-0S numerical techniques. To tackle the inequality constraints in the LCP for the
American option, we used the implicit—explicit backward difference approaches in conjunc-
tion with the operator splitting method. For spatial discretization, we employ the second-order
central finite difference schemes

L Uil — Ui
ux(xi) ~ 2]1 ’
Wikl —2ui tui—g
Uyy (X)) ~ 2 s

with uniform spatial mesh length / in the computational domain 2 := [—1.5, 1.5].

Since for the American option pricing problem, the analytical form of solution is not
available so we computed the point-wise errors at different asset prices, S = 90, 100, 110,
using the difference between successive option prices.
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Table 1 Numerical results of IMEX-BDF1-OS method under Merton’s jump-diffusion model for American
put options with specified parameters at various stock prices as given in Example

N S =90 S =100 S=110

Value Error Rate  Value Error Rate  Value Error Rate
64 10.454172 - - 4901017 - - 2.878383 - -
128 10.454664 4.92¢e—04 - 4906693 5.68e—03 — 2.881250 2.87e—03 -

256 10.455038  3.74e—04 040 4.909613 2.92¢e—03 0.96 2.882723 1.47e—03 0.96
512 10.455287 2.48e—04 0.60 4911114 1.50e—03 0.96 2.883477 7.54e—04 0.97
1024 10.455451 1.64e—04 0.60 4911884 7.71e—04 0.96 2.883861 3.84e—04 0.97

Table 2 Numerical results of IMEX-BDF2-OS method under Merton’s jump-diffusion model for American
put options with specified parameters at various stock prices as given in Example 1

N S =90 S =100 S=110

Value Error Rate  Value Error Rate  Value Error Rate
64 10.456521 - - 4911746 - - 2.883627 — -
128 10.456092 4.29¢—04 - 4912395 6.49e—04 - 2.884030 4.03e—04 -

256 10.455851 2.41e—04 0.84 4912602 2.07e—04 1.64 2.884177 1.47e—04 1.46
512 10.455737 1.15e—04 1.06 4.912666 6.39e—05 1.69 2.884230 5.37e—05 1.45
1024 10.455696 4.07e—05 149 4912685 1.90e—05 1.74 2.884249 1.84e—05 1.54

To determine the rate of convergence (Rate) of given methods at different asset prices, we
used the double mesh principle. The rate of convergence can be computed by the formula,

Nk, by —u (5, 2) 1

WEH B

where u(k, h) is the computed price of the American put option with temporal mesh length
k and spatial mesh length A.

We used the piecewise cubic Hermite interpolation to analyze the pricing of the American
put option at the non-mesh points of stock prices.

Throughout all of the tests, we calculated the point-wise errors at different stock prices S
with M = 219 4 1 spatial discretization points, and N denotes temporal discretization points.
To perform numerical simulation, the following set of examples are taken:

Rate = log,

Example 1 The Merton’s jump-diffusion model for the American put option along with the
parameters o = 0.15,» =0.04, T = 0.5, K =100, 0; = 0.45, uy = —0.90, A = 0.10.

In the first numerical simulation, we showed the numerical results for the IMEX-BDF1-
OS method under Merton’s model, and the option values along with point-wise errors and
Rates at different asset prices are reported in Table 1. We can observe that the convergence
rate reached its asymptotic order when the temporal mesh is sufficiently small.

In the same lineup, we executed the same numerical simulation for the IMEX-BDF2-OS
method for Merton’s model, and the results are reported in Table 2. We see that IMEX-BDF1-
OS is linearly convergent, and the rate of convergence for the IMEX-BDF2-OS method is
near 1.5, which is similar to our error estimate showed in Sect. 5.

The American put option values for IMEX-BDF1-OS and IMEX-BDF2-OS under Mer-
ton’s jump-diffusion model are presented in Fig. 1, and the graphs demonstrate that the option
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Fig.1 American put option value for IMEX-BDF1-OS (left) and IMEX-BDF2-OS (right) under the Merton’s
jump-diffusion model with parameters as provided in the Example 1

Table 3 Numerical results of IMEX-BDF1-OS method under Kou’s jump-diffusion model for American put
options with specified parameters at various stock prices as given in Example 2

N S =90 S =100 S=110

Value Error Rate  Value Error Rate  Value Error Rate
64 10.332776 - - 4.008922 - - 1.353754 - -
128 10.333855 1.08e—03 - 4.014711  5.79e—03 - 1.355915  2.16e—03 —

256 10.334494  6.39e—04 0.76 4.017678 297e—03 096 1.357037 1.12e—03 0.95
512 10.334865 3.71e—04 0.79 4.019205 1.53e—03 0.96 1357620 5.83e—04 0.94
1024 10.335081 2.16e—04 0.78 4.019989 7.84e—04 0.96 1357921 3.0le—04 0.95

values are quite stable with no erroneous oscillation at or near the strike price.

Example 2 The Kou’s jump-diffusion model for American put option along with the param-
etersoc =0.15, r =0.04, T =0.5, K =100, n; = 3.0465, n, = 3.0775, p = 0.3445,
A = 0.10.

Now, we executed similar simulation for IMEX-BDF1-OS and IMEX-BDF2-OS method
for Kou’s model, and numerical results are reported in Tables 3 and 4, respectively, and we
can see that IMEX-BDF1-OS is linearly convergent and for IMEX-BDF2-OS method the
error is reducing with ratio nearly three thus the discretization scheme is convergent with
rate 1.5, as shown in Table 4 that is similar to our error estimate.

The option values for IMEX-BDF1-OS and IMEX-BDF2-OS under Kou’s jump-diffusion
model for American put options are presented in Fig. 2, and the graphs demonstrate that the
option values are quite stable with no erroneous oscillation at or near the strike price.

From both examples, we showed that the pointwise errors have a convergence rate of 1.5
for IMEX-BDF2-OS and 1 for IMEX-BDF1-0S, although the order of convergence at the
early exercise border is less precise for both Merton’s and Kou’s models.
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Fig. 2 American put option value for IMEX-BDF1-OS (left) and IMEX-BDF2-OS (right) under the Kou’s
jump-diffusion model with parameters as provided in the Example 2

7 Conclusion

In this work, we established the stability and error estimates for the operator splitting method
combined with implicit—explicit backward difference techniques for American option pricing
problems under jump-diffusion models. The solution of the linear complementarity problem
(2.0.2) is the value of the American put option under the jump-diffusion model. We have
approximated the integral operator by a numerical quadrature rule. In contrast, the differential
operator is computed with the help of the finite difference operator analogous to the implicit—
explicit backward difference techniques. To validate our theoretical results and demonstrate
the convergence behaviors of operating splitting methods, we performed the numerical com-
putations for the American put option under both Kou’s and Merton’s jump-diffusion models
and presented the plots for the values of American put options. In our future work, we are
interested in refining the rigorous error analysis of the IMEX-BDF2-OS method up to the
second order using the variable step-size IMEX-BDF approach as suggested in Wang et al.
(2019) and explore the rigorous analysis for other classes of problems.
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