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Abstract

This paper is devoted to constructing Wolfe and Mond—Weir dual models for interval-valued
pseudoconvex optimization problem with equilibrium constraints, as well as providing weak
and strong duality theorems for the same using the notion of contingent epiderivatives
with pseudoconvex functions in real Banach spaces. First, we introduce the Mangasarian—
Fromovitz type regularity condition and the two Wolfe and Mond—Weir dual models to such
problem. Second, under suitable assumptions on the pseudoconvexity of objective and con-
straint functions, weak and strong duality theorems for the interval-valued pseudoconvex
optimization problem with equilibrium constraints and its Mond—Weir and Wolfe dual prob-
lems are derived. An application of the obtained results for the GA-stationary vector to such
interval-valued pseudoconvex optimization problem on sufficient optimality is presented.
We also give several examples that illustrate our results in the paper.

Keywords Interval-valued pseudoconvex optimization problem with equilibrium
constraints - Wolfe type dual - Mond—Weir type dual - Optimality conditions -
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1 Introduction

Optimality condition and duality for interval-valued optimization problems with equilibrium
constraints play a crucial role in nonlinear analysis and optimization theory because of their
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fields of application. For example, these problems arise frequently in various real-world
problems such as robotics, fuzzy sets, robust optimizations, engineering designs, optimal
controls, image restoration problems, power unit problems, optimal shape design problems,
and molecular distance geometry problems, e.g., in Bot et al. (2009), Bonnel et al. (2005),
Tusem and Mohebbi (2019), Lépez and Still (2007), Luo et al. (1996), Mangasarian (1969),
Mangasarian (1965), Mond and Weir (1981), Movahedian and Nabakhtian (2010), Pandey
and Mishra (2016), Pandey and Mishra (2018), Suneja and Kohli (2011), Ye (2005) and Wolfe
(1961) and the references therein. The interval-valued optimization problem with equilib-
rium constraints is extended from the constrained interval-valued optimization involving set,
generalized inequality and equality constraints, which belongs to the class of constrained
vector optimization problems in which the coefficients of objective and constraint functions
are taken as closed intervals. These problems may provide an alternative choice for consider-
ing uncertainty in vector optimization. Extending the concept of lower—upper (in short, LU)
optimal solution in Wu (2008), and as well as in Jayswal et al. (2011), we may receive the
notion of lower—upper optimal solution to the interval-valued optimization problems with
constraints, even in any vector optimization problem with equilibrium constraints. Based on
the fact that the class of interval-valued nonlinear programming problems has been exten-
sively studied on optimality and duality by many researchers in recent years, e.g., in Bhurjee
and Panda (2015), Bhurjee and Panda (2016), Bot and Grad (2010), Jayswal et al. (2011),
Jayswal et al. (2016), Luu and Mai (2018), More (1983), Wu (2008) and the construction
of Wolfe and Mond—Weir dual models to these has not been established yet, we continue to
study and develop these result on optimality and duality to the interval-valued optimization
problem with equilibrium constraints and an application of the obtained results for these dual
models will be presented in the literature.

There are many tools which involving generalized derivatives have been used for
establishing optimality conditions and as well as strong and weak duality theorems in con-
strained interval-valued optimization problems. For example, under suitable assumptions
on convexificators, Jayswal et al. (2016) obtained duality and optimality conditions for the
interval-valued nonlinear programming problems without constraints in finite-dimensional
spaces. More recently, Luu and Mai (2018) gave Fritz John and Karush—Kuhn-Tucker
necessary and sufficient optimality conditions for the local lower—upper optimal solution
of interval-valued optimization problem with set, inequality and equality constraints with
locally Lipschitz functions and regular functions in the sense of Clarke. They also used
these obtained results for establishing a Mond—Weir type dual model to such problem. As
far as we known, there have not been results on strong and weak duality theorems as well
as optimality conditions for the interval-valued optimization problem with equilibrium con-
straints with pseudo-convex functions in terms of contingent epiderivatives. The notion of
contingent epiderivatives with pseudoconvex functions was first introduced in the book of
Aubin and Frankowska (1990), used after by many other authors, which these is one of the
good calculus tools for establishing optimality conditions in vector optimization (see, e.g.
Aubin 1981; Aubin and Frankowska 1990; Jahn and Khan 2003, 2013; Jahn and Rauh 1997,
Jiménez and Novo 2008; Jiménez et al. 2009; Luc 1989, 1991; Luu and Hang 2015; Luu and
Su 2018; Rodriguez-Marin and Sama 2007a,b; Su 2016, 2018; Su and Hien 2019 and the
references therein). These notion plays a key role for constructing Mond—Weir and Wolfe
dual models for the interval-valued optimization problems with equilibrium constraints, and
as well as for establishing weak and strong duality theorems for the same. Therefore, it would
be interesting to construct two Wolfe and Mond—Weir dual models for the interval-valued
optimization problems with equilibrium constraints, and investigate weak and strong duality
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theorems for the same. Besides, an application of these results for the GA-stationary vector
is also mentioned.

Motivated and inspired by these observations, our main purpose in the paper is devoted to
constructing two Mond-Weir and Wolfe dual models for the interval-valued optimization
problem with equilibrium constraints in real Banach spaces in terms of contingent epi-
derivatives with pseudoconvex functions (also called as the interval-valued pseudoconvex
optimization problem with equilibrium constraints in our paper). These epiderivatives com-
bined with pseudoconvex functions, the weak and strong duality theorems are derived. As
an application, sufficient optimality conditions for the lower—upper optimality solution (also
known as LU-optimal solutions in this paper) of interval-valued pseudoconvex optimization
problem with equilibrium constraints are also provided. The content of this paper is organized
as follows. In Sect. 2, we give some preliminaries and recall the main notions of contingent
derivative, epiderivative and hypoderivative for extended real-valued functions and then give
the two concepts to the pseudoconvex functions in Banach spaces. Section 3 is devoted
to formulating the two Wolfe and Mond—Weir dual models for the interval-valued pseudo-
convex optimization problem with equilibrium constraints. Section 4 presents the results on
weak and strong duality theorems for the interval-valued pseudoconvex optimization problem
with equilibrium constraints and its Mond—Weir and Wolfe dual models. Section 5 deals with
sufficient optimality conditions for the generalized alternatively stationary vector of interval-
valued pseudoconvex optimization problem with equilibrium constraints. Some examples
are also provided to illustrate the obtained result in the paper.

2 Preliminaries

In this section, we recall some basic concepts and results, which will be needed in what
follows. The set of real numbers (resp., natural numbers) is denoted by R (resp., N), and the
positive real number sequence (t,),>1 with limit O is expressed as 7, — 0%. We use the
symbol R to denote the nonnegative orthant of the m—dimensional Euclidean space R™,
and use the symbol intR} to denote the interior of R. Let X be a real Banach space and X*
topological dual space of X. We also use the symbol B(x,6) :={x € X : |[x —X]| < 8} to
denote the open ball of radius § around X € X. For each C C X, as usual we write clC and
intC instead of the closure and the interior of C, respectively. Let ¥ = C C X and x € cIC,
the contingent cone to the set C at the point X, is defined by

T(C,x)={veX|3, - 0", 3, > vsuchthat X +t,v, € C (¥n € N)}.
The normal cone to the set C at the point X, is defined by
NC,X)={eX " :{v)<0 YveT(C,X)}

Let us denote J the set of all closed and bounded intervals in R. Foreach A = [ay, az] € J,
B = [b1, by] € I, a partial ordering for intervals can be formulated as follows (see More
More 1983, for instance):

A< B<&=a <b, ay <by,
A<y B<= A</ B, A#B.

Let F be a mapping from X into J, defined by
F(x) =[Fi(x), FF(x)] (Vx € X),
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where F| and F> be two functions defined on X with Fi(x) < Fo(x) (Vx € X). Let
g X—>R"h:X—>R'G:X— RPand H: X — R? be mappings defined on X and
let C be aclosed subsetof X. Then g = (g1, ..., 8u)i h = (hy, ..., hy); G =(Gy,...,Gp)
and H = (Hy, ..., H)). For the sake of convenience in the statements, one writes 81,(x)
instead of (g,-)ielgm; g <Ostands for g; < Oforalli € I,,; h =0forh; =0foralli € I,
and G > 0 (resp. H > 0) for G; > 0 (resp. H; > 0) foreveryi € I,.

We consider an interval-valued pseudoconvex optimization problem with equilibrium
constraints (shortly, IOPEC) of the following form:

(IOPEC): min F(x)=[Fi(x), Fa(x)] subjectto x € K,

where K 1= {x € C : g(x) <0, h(x) =0, G(x) > 0, H(x) > 0, G(x)"H(x) = 0}
indicates the feasible set of problem (IOPEC), and T signifies the transpose.
‘We now introduce the notion of local LU -optimal solution to the (IOPEC).

Definition1 A vector X € K is said to be a local LU-optimal solution for the problem
(IOPEC) iff, there exists a real number § > 0 such that there is no x € K N B(x,§)
satisfying

F(x) <; F(X),

which means that F(x) <; F(x) and F(x) # F(X).

We describe next the relationship between interval-valued optimization problems and
vector optimization problems in some details. If the mapping F : X — RZis defined
by F (x) = (Fi(x), F2(x)) for all x € X, then a local LU-optimal solution of problem
(IOPEC) will become a local weak minimum of the following vector optimization problem
with equilibrium constraints:

(MPEC) min F (x) subjectto x € K.

In fact, by the definition one finds § > 0 such that there is no x € K N B(x, §) satisfying
either Fi(x) < F;(x) (i = 1,2), or F;(x) < F;(x¥) and F;(x) < Fj(x) foreach i, j €
{1,2), i # j, and so, F(x) — F(¥) ¢ —intR2 for any x € K N B(X, 5).

‘We mention that this problem has been studied deeply, and the literature for duality results
is very very rich. Many results regarding pseudoconvexity may be found in Bot, Grad and
Wanka’s book in 2009 (see Bot et al. 2009, for instance). The difference between a local
LU-optimal solution with a local efficient solution is only the order relation.

Regarding the vector equilibrium problems, consider a bifunction F:XxX—> R%is
defined by I:“(x, y) = f(y) - I<~“(x) forany x, y € X. Then for any local LU -optimal solution
for the problem (IOPEC) will become local weakly efficient solution of the following vector
equilibrium problem with equilibrium constraints (VEPEC): finding ¥ € K such that

F®,x) ¢ —intR2, Vx € KNB(,$) (2.1)

for some § > 0. We mention that if the vector x solves (2.1), then x is said to be a local
weakly efficient solution for the problem (VEPEC).

Let a set-valued mapping S from X into a real Banach space Y with Q be a partial
ordering cone in Y. For the sake of brevity, we recall the notion of domain, graph, epigraph

@ Springer f bMA



Duality results for interval-valued pseudoconvex optimization problem... Page50f24 127

and hypograph of S which will be defined, respectively, by

domS :={x € X : S(x) # @},

graph§ = {(x,y) €e X x Y : x e domS, y e S(x)},

epiS :={(x,y) e X xY : x edomS, ye Skx)+ 0},

hypS :={(x,y) e X xY : x edomS, ye Sx)— Q}.
In the sequel, we provide the concepts of contingent derivative, epiderivative and hypoderiva-
tive, which were first introduced in the books of Aubin and Frankowska and Luc (see Aubin

and Frankowska 1990; Luc 1989 for more details), used after by many authors such as Luc
(1991), Rodriguez-Marin and Sama (2007a,b), and Su (2016, 2018); Su and Hien (2019).

Definition 2 (Aubin 1981; Aubin and Frankowska 1990; Luc 1989, 1991) The contingent
derivative of S at (x, y) € graphd is the set-valued mapping D, S(x, y) from X into Y which
defined by

graph D, S(x,y) = T (graphsS, (x, y)).

When S := s is single valued, we set D.s(x) := D.s(x, s(x)). In this case, it is well known
that definition 2 is of the following form (see Jiménez and Novo 2008, for instance):

D.s(x)v = [y € Y|3(t,, va) — (07, v) such that

.o s(x +tv,) —s(x)
lim = y].
n—oo tn

Definition 3 (Aubin and Frankowska 1990) The contingent epiderivative of S at (x, y) €
graphS is the single-valued mapping D S(x, y) from X into ¥ which is defined by

epi D S(x, y) = T(epiS, (x, ). 2.2)

When S := s is single valued, ¥ := R, Q := R, the contingent epiderivative of s at
X € X isdenoted as D4s(x) and given by (see Aubin and Frankowska 1990; Rodriguez-Marin
and Sama 2007a, b, for instance)

e
Dis(@u = liminf st ) = 5@

t—0T, u'—u t

(2.3)

The concept of contingent hypoderivatives D S(x, y) and DVs(x)u is defined similarly. It is
not hard to check that D¥s (%) = —D4(—s)(X), where

s(x +tu') —s(x@)

DYs(X)u = limsup -

t—=>0t, u'—u

(2.4)

Definition 4 (Aubin and Frankowska 1990) (Subdifferential) The contingent generalized
gradient (or subdifferential) of an extended real-valued function s defined on X at x € doms
is a closed convex subset 945 (x) given by

dys(x) = {g EX*:VveX, (£v) < DTs(x)v}.

Hereafter, we provide the concept of pseudo-convexity to the set-valued mapping S at the
point (X, y) € graphS, which plays a crucial role in the paper. We mention that the pseudo-
convexity notion here is different. Pseudoconvex functions are a subclass of the quasi-convex
functions which are differentiable and satisfies other properties. In this paper, we define
pseudoconvexity using a weaker differentiability notion, that is, via the contingent derivative.
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Definition 5 (Aubin and Frankowska 1990) We say that S is pseudo-convex at the point
(x,y) € graphS, iff

Vx edomS, S(x) C DS, y)(x —X)+y (2.5)
(i.e. if its graph is pseudo-convex at (X, y)).
Definition 6 (Aubin and Frankowska 1990) We say that an extended real-valued function
s defined on X is pseudo-convex at the point X € doms, if its graph is pseudo-convex at

the point (x, s(x)). In addition, £s are said to be pseudoconvex at x iff, both s and —s are
pseudo-convex at that point.

It is well known that an important property of pseudoconvex functions is that every local
minimum is global minimum, e.g., in Mangasarian (1965). This important property is still
true for the sense of the Definition 6. In fact, if x € doms is a local minimizer of s on X, in
view of Theorem 6.1.9 in Aubin and Frankowska’s book (see Aubin and Frankowska 1990,
for instance), X is a solution to the following variational inequality:

VueX, 0=<Dys(x)u.
Consequently,
Vx € doms, 0 < Dps(X)(x —X). (2.6)
By observing (2.5), one has on the one side
Vx € doms, s(x) —s(x) € D¢s(x)(x —X). 2.7

On the other hand, it is well known that (see Rodriguez-Marin and Sama 2007a,b, for
instance)

Des(x)(x —%) C Dyps(X)(x —X) + Ry,
which combined with both (2.6) and (2.7), we deduce that
Vx € doms, 0 < Dyps(X)(x —X) < s(x) —5(X).

By the definition, x achieves the minimum of s, as it was checked.

3 The Wolfe and Mond-Weir dual models

Based on the fact that necessary and sufficient optimality conditions for the local L U -optimal
solution of constrained interval-valued optimization problems were well known in many
literature, e.g., in Bhurjee and Panda (2015, 2016), Jayswal et al. (2011, 2016), Wu (2008),
Luu and Mai (2018), and the obtained results for the local efficient solution types of vector
equilibrium problems, e.g., in Gong (2010), Luu and Hang (2015); Luu and Su (2018), our
main aim here is to construct the two Wolfe and Mond—Weir dual models for the interval-
valued pseudoconvex optimization problem with equilibrium constraints (IOPEC) in terms
of contingent epiderivatives.
Given a feasible vector X € K, we denote the following index sets:

I, ={1,2,...,n},n=1,2,...;
Iy = 1o(@) = {i € L : i(®) = O};
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a=aX)={iel,:Gi(x)=0, Hi(x) >0}

p=Bx):={iel,:Gi(x)=0, Hi(x) =0}

yi=y@ =liel,:Gi® >0, Hx) =0}

vi:=aUB; vp=8Uy.
The set B is called the degenerate set. If the set B is null, then the vector X is said to
satisfy the strict complementarity condition. Until now, for simplicity we use the notions
A= 0Dy, M= 0icar 1§ = Wdicy, nll = whica =" 1 n) e
R™2P and & = (A8, A", A9, A H) ¢ RH42p,

Definition 7 (Wolfe dual) The Wolfe dual (WIOPEC) for the interval-valued pseudoconvex
optimization problem with equilibrium constraints (IOPEC) is defined by

max| Fo) + Y g + Y2 G = i) = Y- (Gt + 2 Hiw) |

il Jj€ln ielp
subjectto 0 € 94 F1(u) + (1 — )9y Fa(u) + Z A 013 (1)
iely
+> [A’]?aTh_,- (u) + M?aT(—hj)(u)]
J€ly
+ 3 1001 (=G + oy~ Hy @) | + N (€ w,
iel,

ueC, 0<s<1, 2§ 5 =0, 21>0, ul>0 jel,

8
I, (x)
AW=0, 0 =0 uf =0, uff =0, iel,

i =

G G :
Ay=Af=uy=u5=O, VlEﬂ,/L?:O, MiH:O.
An example is provided as follows.

Example1 Let X = R, C = [0,1]and m = n = p = 1. Consider the interval-valued
mapping F : R — Jis defined by F(x) = [Fi(x), F2(x)] (Y x € R), where

1
Fl(x):—x—i, Vxel;

RS if x <0,

F =
2(x) x2+x+%, if x > 0.

We have the following interval-valued pseudoconvex optimization problem (IOPEC) in R :

min F(x) = [Fi1(x), F>(x)]

subjectto g(x) := x2—x <0,

Gx):=x>0, Hx):=0, xel0,1].

Itis evident that F'(x) € Jforall x € C. By directly calculating, I, (¥) = g = {1}, a =y =
{9, and for all u € C, one obtains on the one side 94 F'y (u) = {—1}, 4 Fo(u) = {2u + 1},
orgw) = {2u — 1}, 94(=G)(u) = {—1} and 04(—H)(u) = {0}. On the other side, the

@ Springer f DMAC



127 Page8of24 T.Van Su, D. H. Dinh

normal cone to the set C at the point u is given by

{0}, ifO0<u~<l,
N(C,u)={R_, if u=0,
Ry, ifu=1.

Thus, the Wolfe dual problem (WIOPEC) for the interval-valued pseudoconvex optimiza-
tion problem with equilibrium constraints (IOPEC) is rewritten as follows:

(WIOPEC) :  max _ [F(u) S —u) — AlGu]
u,s,Al,)Ll
subjectto 0 € —s + (1 — $)Qu + 1) + 25 Qu — 1) — 2¢ + N(C. u).

0<u<l 0<s<1, Af>0, 2¥ >o0.

Definition 8 (Mond—Weir dual)
The Mond—Weir dual (MWIOPEC) for the interval-valued pseudoconvex optimization
problem with equilibrium constraints (IOPEC) is defined by

max F(u) = [F1 (u), Fz(”)]
Uu,s,A

subject to 0 € sdp Fi(u) + (1 = )0y Fa(u) + Y Af0p.8i ()

i€ly

+3 [x?am,(u) + M?aT(—hj)(u)]

jEI’l
+ 3 101G + il o~ @ | + NC.w,

iel,
gr,@W) >0, hy,(u) =0, G, () <0, Hy,u) <0,

8 h h .

ueC, 0<s<l, A,g@)zo, Ajp=0, uj =0, jel,
A>0, A >0, puf>0 ull >0 ici,

A=l =ul=pll =0 viep uf=0 pul'=o0.

The forthcoming example will be provided to illustrate the Mond—Weir dual (MWIOPEC)
for the problem (IOPEC).

Example 2 Consider the interval-valued pseudoconvex optimization problem with equilib-
rium problem (IOPEC) is defined as in Example 1. Similarly, we also have the following
Mond-Weir dual MWIOPEC) for the problem (IOPEC):
(MWIOPEC) :  max  F(u) = [ Fyw), F2)]
u,s.05 08
subjectto 0 € —s + (1 —5)Qu+ 1) + A 2u — 1) =AY + N(C, u),
uz—uZO, u<0,0<ucx<l,

0<s<1,2>0, 27 >0.
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4 Duality theorems

This section presents strong and weak duality theorems for the interval-valued pseudoconvex
optimization problem with equilibrium constraints (IOPEC) and its Wolfe and Mond—Weir
dual models, say (WIOPEC) and (MWIOPEC), in terms of contingent epiderivatives with
pseudoconvex functions in Banach spaces.

For the sake of convenience in the statements, for each feasible vector x € K, we define
the following index sets:

={iea:u’ >0}

yi=liey ul>0h

BS ={iep:u =0, pf >0}
H ._ .G H .

M ={iep:u’ =0, u’ >0}

Ly=afUyfuplupl.

A weak duality theorem for the interval-valued pseudoconvex optimization problem with

equilibrium constraints (IOPEC) and its Wolfe dual (WIOPEC) will be derived.

Theorem 1 (Weak duality) Let X and (u, s, 1) be the feasible vectors to the primal problem

(IOPEC) and the dual problem (WIOPEC), respectively. Suppose that

(i) Cisconvexand L, = ¥;
(ii) The functions Fy, F», g; (i € I¢(X)), £h; (j € 1), =G, (i € vi) and —H; (i € v») are
pseudoconvex at u.

Then for any x is feasible vector to the primal problem (IOPEC), we have

F) £ Fuy+ Y afg)+ Y 0= pwhhj =Y (6 Giw) + 1 Hyw)).

ielg(X) jel, iely

Proof By the initial assumptions, one has the following system:

gi(x) <0 Viel,x), 4.1)

hj(x)=0 Vjel, 4.2)
—Gi(x) <0 Viely, 4.3)
—Hi(x) <0 Viel, 4.4)

It follows from the convexity of C that x — u € T(C, u). Since (u, s, 1) is a feasible of
(WIOPEC), there exist & € 94 F;(u) (i = 1,2), & € dygiw) (i € Ip), & € dphj(w)

(J € In), 77? € W (—hj)w) (j € 1), £ € 04(=G)(u) (i € Ip) and & € dy(—H;)(u)
(i € 1) such that for each & := s&; + (1 — s5)&>, one obtains

<ss FY MEE Y (e ity + > (e + e, x - u> >0. (4.5)
iel, Jjel, i€l

Because F; (i=1,2) is a pseudoconvex function at u, which equivalents its graph is pseudo-
convex at (u, F;(u)), i.e.

Vy e domF;, Fi(y) € DcFi(u)(y —u)+ Fi(u). (4.6)
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By taking y = x in (4.6), we deduce that

Fi(x) — Fi(u) € DcFy(u)(x —u) C DyFi(u)(x —u) + Ry, 4.7
F(x) — () € D Fi(u)(x —u) C Dy Fa(u)(x —u) + Ry 4.8)
Therefore,
Fi(x) — Fi(u) > Dy Fi(w)(x —u) > (1, x —u), 4.9)
Fr(x) — Fa(u) = Dy Fa(u)(x —u) > (52, x —u). (4.10)

In the same way as above, we also obtain the following results:

gi(x) — gi(u) = Dygi(uw)(x —u) > (5, x —u) Vi€l 4.11)
hi(x) —hi(u) > Dyhj(u)(x —u) > <g’?,x - u> Vjel, (4.12)
(~h )00 = (h @) = Dy (hp@ e —w = (i x —u) Vil @13
(=G (x) — (=G ) = Dy (=G ) (x — u) > <§F,x - u> Viev,  (4.14)
(—H)(x) — (—H)(u) = Dy (—H) @) (x — u) > <giH, x— u> Viecw.  (4.15)

If L, = then multiplying (4.9)~(4.15)by s > 0, 1 —s > 0, ¥ > 0 € I;), A" > 0

(Jj € I), [L? >0 €1, AiG >0(@G € vy), AiH > 0 (i € vy), respectively, and adding
(4.9)—(4.15), it holds that

S(FI(x) = Fiw) + (1 = )(F2(x) — R) + Y Mei)— Y afgiw)

iely(x) iely(x)
O MR ) =Y M) = Y w0 + Y pwhh)
J€ln J€ly J€l J€ln
— Y MG + Y A Giw) = Y A Hi () + ) af Hiw)
iely iely iely iely
> <ss +YOME Y (e ) + Y (e + g, x - u> (4.16)
ielg JE€I i€l

In fact, the left-hand side of the inequality (4.16) is greater than or equal to

(sDrFi) + 1 =)Dy B + Y7 2EDygi) + 3 KDy 0)) (= w)

iely(¥) Jeln
+ (Z HADH(=h @) + 30 AT Dy (=G ) + 30 A D= H) @) (xr = w)
jel, iely iely
> (g x—u)+ Y. kf(éig,x—u)wtzk?(&h,x—u)
iel,(¥) J€ly
+Zu?<n?,x—u>+ZA?<§inx—u>+ZAZH<§iH’x—u),
JEIn iEIp i€1p

@ Springer f bMA



Duality results for interval-valued pseudoconvex optimization problem... Page 110f24 127

while the right-hand side of the preceding obtained inequality is equal to the right-hand side
of the inequality (4.16), it means that (4.16) is valid. This combined with (4.5) yields that

S(FL() = FI@) + (1= )(B) — F) + Y g — Y g

ielg(x) ielg(x)
D MR = Y MhG) = phhi )+ Y ulh )
jel, jel, Jj€l JE€Iy
=Y AFGi@) + D ATGiw) = Y A Hi(x) + Y af Hi(w) > 0. (4.17)
ielp ielp ielp ielp

Combining (4.1)—(4.4), we have
M= Y afgi)+ > Mhje) =Y pwhhix) =Y afGix) = > A Hi(x) < 0.

iel,(®) jel, jel, iel, iel,

This along with (4.17) leads to

SFIx) + (1= 9)F(x) = sFi) + (1 —)F) + Y 25 gi(w)

iely(¥)
+ DO =ik = (R Giw) + A Hiw). (4.18)
jel, iely

Setting 91}.’ = A? — [,L? for j € I,,. Let us see that
F(x) £1 F@)+ Y 2fgi)+ Y 00hj) =Y (MG + A Hiw).  (4.19)
i€l J€ly i€l
Indeed, if (4.19) does not true, then there would be
Fx) <g Fu)+ ) 2fgi) + ) 01hjw) =Y (A Giw) + 4 Hiw)).
ielg JEI i€l

By the definition, we have

Fi(x) < Fi) + Y, M8 @) + 3 jep, 070 @) = ey (A Gi(w) + 4] Hiw)),
F(x) < Fa(u) + Y, M i) + X jeq, O0hj ) = iep (A Giw) + A Hi ),
or

Fi(x) < Fi(u) + Xjey, Agi)+Y e, thj(u) - Diel, (A8 Giu) + 1 H; (),
Fa(x) < Fa() + Yy 281 ) + ey, 000 = Yoy (A Giw) + 21 Hiw)),
or

Fi(x) = Fi(u) + X ey, A gi(u) + > e, ejhhj(”) — Diel, (A7 Giw) + A Hi(w)),
F>(x) < Fa(u) + X, 4810 + 3 jeq, O0hj ) = icp (A Giw) + A Hi (w)).

Since s, 1 —s €]0, 1[ and s + (1 — s) = 1, the following strict inequality holds:

SFI(0) + (1 =) Fa(x) < sFi(w) + (1 =) ) + Y Agi(w)

i€ly (%)

+ ) 0w = Y (A Giw) + A Hi(w)),

jel, ielp
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which contradicts (4.18). So we have checked that (4.19) holds, as it was shown. O

To obtain strong duality theorem for the Wolfe dual (WIOPEC) and the interval-valued
pseudoconvex optimization problem with equilibrium constraints (IOPEC), we also introduce
next the Mangasarian—Fromovitz type regularity condition (RC ) : there exist t € {1,2},
vo € T(C,X) and positive real numbers a i € I;(x)), a (i € vy), a (i € ), by
(k € {1,2}, k # t) such that

©) (ég vo) < —af (Vég € gi(X), Vi € I;(x));
(£, vo) < —al (VEE € 9 (=GH(X), Yi € v1);
(&1, vo) < (vs” € W (—H)@), Vi € n);
(Ek, Uo) < bk (Vé € 04 Fr(X), k € (1,2}, k #1);
(i) (& vo) =0 (vg]f.’ € dh;(x), Vjely;
(0. vo) = 0 (¥} € 9p(=h))(X). Vj € I).
Hereafter, we give a strong duality theorem for the problems (IOPEC) and (WIOPEC).

Theorem 2 (Strong duality) Let X € K be a local LU-optimal solution to the interval-
valued pseudoconvex optimization problem (IOPEC). Suppose that the functions F, F», g;
(i € Ig(X)), £hj (j € 1), —G; (i € vi) and —H; (i € v3) are pseudo-convex at x. If
dimX < +oo, C is convex, L, = @ and the regularity condition of the (RC") type holds

(for t = 1,2). Then there exist s € R and A = (Xg,xh,XG,XH> e R"HF20 guch that

(%, 5, A) is a LU- optimal solution of the dual (WIOPEC) and the respective objective values
are equal.

Proof Since x is a local LU-optimal solution of (IOPEC), there exists a real number § > 0
such that there is no x € K N B(x, §) satisfying

Fi(x) < 1) or Fi(x) < 1) or Fi(x) < F1(%)
F>(x) < F2(X) F(x) < B (X) F>(x) < F2(X)

We consider the mappings F(x) = (F}(x), F2(x)) and Fx(x) = F(X,x) = F(x) — F(%)
for all x € X. It is evident that

Fr(0) = (FI(0) — A1), Bx) - BE),
F(x) - F(X) ¢ —intR2 (Vx € K N B(F, §)).

On the one hand, the vector X is a local weakly minimum to the following problem (MPEC):
min F(x) s.t. x € K.

Following Gong’s result Gong (2010), one can find a continuous positively homogeneous
subadditive function f on R? such that

a—beinR} = f(a) < f(b),
foFs(x) > foFs®) =0, Vx € KN B, ).

It can be easily seen that

WE () =0 F (D), i=1,2.
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On the other hand, using the continuity and subadditively of f, it holds that
01 fo(Fx(®) = (€ e R?:Va e R, (£,a) < f(a)).

Notice that the contingent generalized gradients of objective and constraint functions in
(IOPEC) at x are closed convex subsets and further X is finite-dimensional space. Arguing
similarly as for proving Theorem 4.1 and Corollary 3.2 (see Luu and Mai 2018, for instance),
invoking the set 8 F; (%) instead of 84 F; x(X) (i = 1,2), and the set 8*g;(¥) (i € I(¥))
stands for the sets 04 g; (x) (i € I,(x)), 94(—G;)(X) (i € vy)and d4(—H;)(X) (i € 1), there
exists the feasible vector (s, A, ) € RIT21440 wheres € [0, 1], A = (A8, A", AG A H) €
R7H42P and = (u”, nG, u) € R*™2P satisfying

0€shFI(®)+ (=)0 @+ Y [xj%amj(f) + u’;aT(—h,-)@]
jeln

+Y Mg @+ Y [A,.GaT(—G,»)(f) + )»,.H8¢(—H,-)(Y)] L N(C,T),
iely i€l

8
0<s<l, )»[g@
AW=0, 4 =0 puf =0, puf =0, i€,

W =2l =pul=ul =0 viep pn?=0 ul=o0.

207 }"?207 M?E()y jell’ls

By reasons of similarly, we proof only the case s < 1 under the regularity condition of the
(RC") type (for t = 1, 2). Indeed, we may assume that this assertion holds for s = 1, or
equivalently,

0Oe hFE+ Y rorg®+ Y. [Aj!aTh,»(f) + M’;E)T(—hj)(f)]

iEIg jeln
+ 3 M0G0 + Aoy (—H) @ | + N (€. ).
iely

Fort =2, there exists vg € T'(C, X) and there exist positive real numbers by, af (i € I,(x)),
a (i €vy), a (i € vy) satistying

(E1.v0) < —bi(VE1 € 04 Fy(D));
(5 v0) < —af (V&f € 0181 (®), Vi € [,(D);

(glG, > < —aP(VEC € 0 (—G)(®). Vien):
(g,H, > < —af (VEH € 9 (—H)®), Vi€ )
(5,”, > O(VE! € drh;(®), Ve b

(1l vo) = 0CY ) € 01 (=h @), V€ L.

In other words, we can find the linear functions defined on X such as & € 94 F(X), Sig €
98 (X) (i € Ig(X), & € 0thj(X) (j € L), 0t € h(=hp@ (j € 1), §7 € 3 (=GH(X)
(i €lp),and éiH € 01(—=H;)(X) (i € Ip) satistying

<§1 Y OAEE+ D (e )+ D (WS + A g, v0> >0.  (4.20)

iely JE€l ielp
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Furthermore, we also have

<sl + 2 ME + D (5 i) + ) (78 + 478, vo>

ielg JE€I i€l
< —(bl + Zklfgaf + Z (kiGaiG + )LlHaiH)) <0,
iel, iel,

which conflicts with (4.20). So the inequality 0 < s < 1 holds true. To finish the proof of
theorem, we set s = s, A = A, [t = u, it results that

_ . _ —h _ . _
0 €501 Fy(®) + (1 = D)y Fa(®) + Y [701h; ) + Ty (~h ) (D]
JE€
—g — —G _ —H _ _
+ Y H0g @ + 3[R0 (=GO + ] 01 (—H)@ | + N(C. ),
ielg i€l
0<5<1, 2 ->0 2">0,7">0, jel
<s<l, Lx) =Y J'_,/Lj_,jen,
W0, >0 mf >0 w0 iel,
—G —H . _ . — _
)"y=}"a=/'L;(/;=/’L:=07 Vleﬂ,/,l,lczo7 /,Lle()

Taking into account the definition of (WIOPEC), we shall be allowed to say that (X, s, A)is
a feasible vector of that problem. By virtue of Theorem 1, for 05.‘ = A? - /L? (j € Ip), the
following result holds:

F®) £ Fuy+ Y g+ Y 0w =Y (WGiw) + A Hiw) @21
il (%) Jely iel,
for any feasible solution (u, s, A) for the Wolfe dual (WIOPEC). Since i € I,(x), g;(x) =0,
je€l,, hj(x)=0andi € vy, G;(X) =0, i € vz, H;(X) =0, it holds that

SA@ + (1 -9HRE =A@+ (1 -9HRE + Y g

i€l (¥)
+ Y@ TR ® = Y (R Gi® R Hi(®). (422)
jel, iel,

This along with (4.21)—(4.22) yields that

SR+ -HFR@+ Y a@®+ Y %) —wh;@

iely(¥) Jj€ln
(G + 4 Hi(®)
iely
> sFiw) + (1= )F) + Y A+ Y 04— i)
iely (%) J€ln
=Y (A Giw) + A Hiw)).
i€l

Thus, the vector (X, 5, ) is an optimal solution to the Wolfe dual (WIOPEC) and, moreover,
the respective objective values are equal, which completes the proof. O
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For the next result considering the objective and constraints functions are affine, we obtain a
strong duality theorem for the problem (IOPEC) and the Wolfe dual (WIOPEC) as follows.

Corollary 1 (Strong duality) Let X € K be a local LU-optimal solution to the interval-
valued pseudoconvex optimization problem (IOPEC). Assume that the functions Fy, F», g;
(i € I;(x)), £hj (j € 1), —=G; (i € v1) and —H; (i € vy) are dffine. If dimX < +o0, C
is convex, L, = () and the regularity condition of the (RC") type holds (for t = 1, 2). Then

there exists € Rand . = (Xg, Xh, XG, XH e R™742P gych that (x5, 1) is a LU- optimal
solution of the dual (WIOPEC) and the respective objective values are equal.
Proof Since the objective and constraint functions defined on X are affine, which entails

that all them are pseudo-convex at x. By directly applying Theorem 2, we get the desired
conclusion. O

Remark 1 1f (x,s, 1) is a LU-optimal solution to the problem (WIOPEC), then there is no
(u, s, A) feasible solution for the problem (WIOPEC) such that

Fi@) < Fi) + g, M)+ 5e, ej’.'hj(u) = Yiel, (A8 Giu) + 1 H; (),
X)) < F2(u) + Zielg Afgi(u) + 2 e, Q?hj (u) — Zielp ()‘iGGi(“) + A1 Hi(w)),

or

FIG) < Fr) + Y, M 8i) + X g, 07h0) = Yieq, (W Gitw) + A Hiw)),
By®) < Fa(u) + Yo, 4810 + ¢y, 00h ;) — Yy (AEGiw) + A Hiw)),

or

FI(®) < F1) + Yiep, M8 W) + e, 070 @) = Yiep) (A Gi(w) + 1T Hi ),

@) < F(u) + Y, M8 ) + 3 jeq, 070 @) = iep (A Gi(w) + [ Hi(w)).

We next give an example to illustrate the strong duality theorem for the problem (IOPEC)
and its Wolfe dual problem (WIOPEC).

Example3 let X =R, C =[0,1]andm =n = p = 1. Let F : R — J be defined as
F(x) = [F1(x), F2(x)] (¥ x € R), where

Fix)=—x—1, Yx eR,

—x +1, if x <0,

Fr(x) =
2() x2—x+1, ifx>0.

Consider the following interval-valued optimization problem (IOPEC) in R :
(IOPEC): min F(x)=[Fi(x), Fa(x)]
subjectto g(x) := x2—2x <0,
G(x):=3x>0,
H(x) = —x%4x >0,
G(x)H(x) := 3)c(—x2 +x)=0, xe[0,1].

It can be easily seen that Fi(x) < F>(x), and so, F(x) € J for all x € C. By direct
computation, the feasible set of problem (IOPEC) is K = {0, 1}. Obviously, for a real
number 0 < § < 1, there is no x € K N B(0,§) such that F(x) <; F(X), it means that
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x = 0 is a local LU-optimal solution for the problem (IOPEC). Invoking the concept of
contingent cone 7' (C, u) with u € C, it holds that

R, fO0<u<l {0}, ifO0O<u~<l,
T(C,u)y=1Ry, ifu=0 — NC,u)=1R_, if u=0,
R_, ifu=1 Ry, ifu=1.

In other words, let u € C be arbitrary, it is not difficult to see that 94 Fy(u) = {—1},
04 Fo(u) = {2u—1}, opg(w) = 2(u—1)}, 04(=G)(u) = {—3}and 0y (—H) (1) = {2u—1}.
We thus conclude that the functions Fi, F», g1, £h, —G1 and — H| are pseudo-convex at
X in the sense of Definition 6. Further, one gets [,(X) = 8 = {1}, @« =y =0, Cis
convex, dim(X) = 1 < +o0, L, = ¥ and the regularity condition of the (RC") type holds
for t = 1, 2. Then the Wolfe dual problem (WIOPEC) for the interval-valued optimization
problem with equilibrium constraints (IOPEC) is given as

(WIOPEC) : max [F(w) + 4§ @ = 2u0) = 33.Fu = fl (—u? + w0
u,8, A7, A
subjectto 0 € —s + (1 —s)Qu — 1) + 245 (u — 1) =327 + 2 Qu — 1) + N(C, u),
O<u<l, O<s<I1, a>0, 2¥ >0, 2 >o0.
Applying Theorem 2 above, we will be allowed to conclude that there exist s € R and
A= (Xg , X;l', X?, X?) € R* such that (x, 5, 1) is a LU- optimal solution of the Wolfe dual
problem (WIOPEC) and the respective objective values are equal.
In what follows, a weak duality theorem for the Mond—Weir dual problem (MWIOPEC)

and the interval-valued pseudoconvex optimization problem with equilibrium constraints
(IOPEC) will be stated as follows.

Theorem 3 (Weak duality) Ler x and (u, s, 1) be the feasible vectors to the interval-valued
pseudoconvex optimization problem (IOPEC) and the dual problem (MWIOPEC), respec-
tively. Assume that

(i) Cisconvex and L, = ¥;
(ii) The functions Fy, F», g; (i € I¢(X)), £h; (j € 1), =G, (i € vi) and —H; (i € v») are
pseudo-convex at u.

Then for any x is feasible vector to the primal problem (IOPEC), we have
F(x) £1 F(u).

Proof Let x be a feasible vector to the interval-valued pseudoconvex optimization problem
with equilibrium constraints (IOPEC). By an argument analogous to that used for the proof
of Theorem 1, it holds that

SFI(xX) + (1 = ) Fa(x) = sFi) + (1 =) Fa(u) + Y Afgi(u)

iely (%)
+ Y Gty = (W Giw + A Hiw).  (4.23)
JjE€, i€l

Since gi(u) = 0 (i € LX), hjw) =0 (j € In), Gi(w) <0 (i €v), H@u <0
(€v), Af 20 (€ lg®™), 17 =0, Al =0, uf 20, ufl =0, iel, 2l =2 =
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uf = /Lg =0, Viesgs, uf =0, [LIH = 0, it results in
oA+ Y Oh =) =Y (A Giw) + A Hiw) = 0. (424)
icly(X) jel iel,
Combining (4.23)—(4.24), we obtain that
SF1(x)+ (1 —s)Fy(x) > sFi(u) + (1 —s)F(u) with 0 <s < 1. (4.25)
Note that (4.25) is equivalent to
s(Fi(x) — Fiw) + (1 — s)(F2(x) — F2(u)) > 0 with 0 <s < 1. (4.26)
Therefore, the following systems are impossible:
{Fl(x) <R {ﬂ(x) <F@w {Fl(x) < Fi(w)
R <hw = |RE <R P(x) < F2(u)
This means that F(x) #; F(u), which completes the proof. ]

Hereafter, we shall derive a strong duality theorem for the problem (IOPEC) and its
Mond—Weir dual problem (MWIOPEC).

Theorem 4 (Strong duality) Let X € K be a local LU-optimal solution to the interval-
valued pseudoconvex optimization problem (IOPEC). Assume that the functions Fy, F», g;
(i € Ig(x)), £hj (j € 1), —=G; (i € vi) and —H; (i € vy) are pseudo-convex at x. If
dimX < +oo, C is convex, L, = { and the regularity condition of the (RC") type holds

(for t = 1,2) then there exists € R, A = (Xg, Xh, XG, XH) € R™20 guch that (x5, 3)

is a LU- optimal solution of the dual (MWIOPEC) and the respective objective values are
equal.

Proof By a similar argument as in the proof of Theorem 2 with observing Theorem 3, we
get the desired conclusions. O

Remark 2 According to Corollary 1, we see that the obtained result in Theorem 4 is still true
in the sense the functions Fi, F2, g; (i € I,(X)), £h; (j € I,), —G; (i € v) and —H,;
(i € ) are affine.

We next give some examples to illustrate the above-obtained result as follows.

Example 4 Consider the interval-valued pseudoconvex optimization problem with equilib-
rium constraints (IOPEC) is given as in Example 3. Then the Mond—Weir dual (MWIOPEC)
for the problem (IOPEC) is rewritten as follows:

(MWIOPEC): max F(u):[Fl(u), Fz(u)]

u,s, 2§ 2§

subjectto 0 € —s + (1 —s)Qu — 1) + 2)»}1’7(14 —1)
— 32+ Qu—1)+ N(C, ),
u?=2u>0, u<0, —u>+u<O0,
O<u<l, O0<s<l,

A >0, A >0 af>o0.
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Thanks to the obtained result of Theorem 4, there exists € Rand » = (Xg , X;f , XlG : Xfl) e R?

such that (x,s, 1) is a LU- optimal solution of problem (MWIOPEC) and the respective
objective values are equal. In fact, in this setting, we can verify directly that u = 0, i.e.,
u = X, the normal cone to C at u has form N(C, 0) = —R_., which proves that

1+22§ +327 +af <o.

They mean that there is no (i, §, i) feasible vector for the problem (MWIOPEC) such that
F(u) <; F(i1), and Theorem 4 is, therefore, checked completely.

Example5 Let X = R2, C=[0,1]1x[0,1],x = (0,0), m =n = p = 1, and the interval-
valued mapping F : R — J be defined by F(x) = [Fi(x), Fo(x)]V x = (x1,x2) € R2,
where

X1 —xp — 1, if x1 <0,
Fi(x) = .

—x1 —x2+ 1, if x; >0,

—x2+1, if0<x; <1,
F(x) = { —x2, if x1 > 1,

—xp — 1, if X1 <0.

Consider the following interval-valued pseudoconvex optimization problem (IOPEC) in R? :

(IOPEC) : min F(x) =[Fi(x), F2(x)]
subjectto g(x) := x% —x3 <0,
G(x):=x14+x >0,
H(x) :=—x; +x2 >0,
G(x)H (x) := (x1 +x2)(—x1 +x2) =0,
x = (x1,x2) €[0, 1] x [0, 1].

It is obvious that Fj(x) < F>(x), and so, F(x) € J for all x € C. By directly calculating,
the feasible set of problem (IOPEC) is of the form K = {(a,a) € R : 0 < a < 1}. Taking
s = %, there isno x € K N B(0, §) such that F(x) <; F(x), which means that the vector
X = (0, 0) is a local LU-optimal solution for the problem (IOPEC). By making use of the
concept of contingent cone 7 (C, u) for any u = (uy, uz) € C,

R x R, if0<u; <1, O<up <1,
R xR_, if O<up <1, up =1,

R x Ry, if 0<uy <1, up =0,
R_ x R, ifur=1 0<uy <1,
TC,u)y=1R_xR_, ifu =1, up=1,

R xRy, ifuy=1, up =0,

Ry x R, if uy =0, 0<ur <1,
Ry xR_, if uy =0, up =1,

Ry xRy, if uy =0, up =0.
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By the definition of normal cone N (C, u), one obtains on the one hand

{(0,0)}, fO<u; <1, O<uy <1,
{0} xRy, ifO0<ur<l1, up=1,
{0} xR_, ifO0<u;<l1, up =0,
Ry x{0}, ifur=1 0<up<l,
NC,u)=3Ry xRy, ifuy=1, up =1,

Ry xR_, if uy=1, up =0,

R_x {0}, ifu =0, 0<upy<l,
R,XR+, if u1:0, u2:1,
R_xR_, if uy =0, up =0.

On the other hand, by directly calculating for any u = (uy,u2) € C, o4 Fi(uy,uz) =
(=1, =D} and 3 F1 (0, u2) = {(1, =)}, 3 Fa(u) = {0, =)}, dyg(u) = {(0, 2uz — 1)},
04 (=G)(w) = {(=1, =1} and 94 (—H;)(u) = {(1, —1)}. It is not hard to verify that the
mappings Fi, F2, g1, —G1 and —H; are pseudo-convex at X in the sense of Definition 6.
Further, one also gets I,(x¥) = = {1}, « = y = @, C is convex, dim(X) = 2 < +o0,
L,, = ¥ and the regularity condition of the (RC ") type holds for ¢ = 1, 2. Thus, the Mond—
Weir dual problem (MWIOPEC) for the interval-valued pseudoconvex optimization problem
(IOPEC) is expressed as

(WIOPEC) :  max  F(u) = [Fl W), Fz(u)]
u,s, 150§
subject to 0 € 584 Fy (u) + (1 — $)34 Fi () + 259181 (u) + 1833 (=G 1) (w)
+ 1794 (=Ga) () + N(C, u),
u%—uzzo, Uy +uy <0, —uj+uy <0,
O<u;<1,i=1,2, 0<s<1,

A >0, A >0, A >o0.

Thanks to the obtained result of Theorem 4, we shall be allowed to conclude that there exist
seRand A = (Xf, X}ll, XIG, Xf) € R* such that (x,s, 1) is a LU- optimal solution of the
Mond-Weir dual (MWIOPEC) and the respective objective values are equal.

In fact, in this setting, we can verify directly that u = (0, 0), i.e., # = X and moreover,
N(C,0) =R_ x R_.Itis plain that 1 + A{ + A{ + Af" <0ands —A{ + A{" > 0, which
means that there is no (i, §, &) feasible vector for (MWIOPEC) such that F (1) <; F(#). So
Theorem 4 is checked completely.

5 Applications

In this section, we shall derive sufficient optimality conditions for the generalized alter-
natively stationary (GA-stationary) vector of interval-valued pseudoconvex optimization
problem with equilibrium constraints (IOPEC) involving the pseudo-convexity of objec-
tive and constraint functions. First of all, we introduce the concept for the GA-stationary
vector of problem (IOPEC).
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Definition 9 (GA-stationary vector) A feasible vector X of problem (IOPEC) is said to be
the GA-stationary vector iff, there exist s € R, A = (A%, A", 10, AH) e R™"+2P and
w= (u", n, uty e R*2P satisfying

0 €50 Fi@) + (1 =) Fa(®) + Y Afopgi(®) + [A?aTh,-(f) + u?%(—h,-)(f)]

iEIg jEI)I
+ 30 [0 (G + 2oy (—H @ | + NC. .
iel,
8 h h .
O0<s<l, AIKZO, )\jZO, MjZO, jel,,
Wz0, 4720, uf =0, uff =0, i€,
ZW=2l=pf=ull =0 Viep uf=0or pu =o0.

In what follows, sufficient optimality conditions for the GA-stationary vector of the problem
(IOPEC) will be derived.

Theorem 5 Let x be a feasible GA-stationary vector to the interval-valued pseudoconvex
optimization problem (IOPEC). Suppose that

(i) Cisconvexand L, = ¥;
(i) the functions Fy, I, g; (i € Ig(X)), £hj (j € I), —G; (i € vi) and —H; (i € v3) are
pseudo-convex at X with respect to C.

Then X is a LU-optimal solution of (IOPEC).
Proof By invoking the Definition 1, we will be allowed to deduce that x is a LU-optimal
solution of (IOPEC) iff, there is no x € K satisfying

F(x) <j F(x), (5.1

which means that F{(x) < F|(x), F2(x) < F2(x) and F(x) # F(x). Let x be an arbitrarily
feasible vector to the problem (IOPEC). Using the convexity of C, it ensures that x — X €
T (C,X)because x € C.Hence, (§, x —X) > Oforeveryé € —N(C, x). Since X is a feasible
GA-stationary vector to the interval-valued pseudoconvex optimization problem (IOPEC),
one finds § € 04 F;(x) (i = 1,2), sf € dgix) (@ € Iy, EJ}.’ € h;(x) (j € 1),
nﬁ’ € W (—hj)X) (j € I), 7 € 04(=G)®) (i € I,) and £ € 04 (—H)®) (i € I))
satisfying

<5s+2“5g+ D (] ) + Y0 (R FES +aflg), x—x> >0, (52
i€lg JEIn ielp

where & = s& + (1 — 5)&;. Since F; (i=1, 2) is pseudo-convex function at X, it follows that
its graph is pseudo-convex at (X, F; (X)), i.e.,

Vy e domFj, Fi(y) € DFi(u)(y —X) + Fi(x). (5.3)
By taking y = x in (5.3), we deduce that

Fi(x) — F1(X) € D.F1(X)(x —X) C Dy F1(x)(x —X) + Ry, 5.4
Fx)—-FRhX) e D-Fi(X)(x —X) C D+ FHXx)(x —X) +Ry. (5.5)

Therefore,
Fi(x) — Fi(x) =2 Dy Fi(X)(x —X) > (&1, x — X), (5.6)
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F(x) — F2(%) 2 Dy F2(X)(x —X) = (§2,x —X) . (5.7

In the same way as above, we also obtain the following inequalities:

gi(x) —gi(X) = Dygi(X)(x —%) > (€5, x —=X) Viel, (5.8)
hi) = hj @ = Deh @0 =) = (g, x =) Vjel, (5.9)
(—h )00 = (~h ) = Dy (—h @G =D = (i, x=F) Vjeh, (10
(=G)(x) — (=GN (E) = Dy(—GHE) (x — %) = <§I-G,x —f> Viev, (.11
(—H) (@) — (—H) @) = Dy (—H) @) (x — ) = (s X —x> View. (512

IfLu:Q)thenmultip]ying(56) 5.12) by s > 0,1 —s > 0, kg > 0@ €1y, )Lh >0

(J € Iy, u >0 €Iy, A > 0@ € vy), AH > 0 (i € vy), respectively, and addmg
(5.6)-(5. 12) it yields that

S(F1(x) = Fi(@) + (1 =) (F(x) = F2(0)) + Y Afgi) — Y Afgi(X)

iely(x) ielg(x)
+ D M0 = YW@ = Y 0+ ) uh@)
jel, jel, jel, Jjely
=Y G + Y AGiE = Y M Hi )+ YA H )
iely i€l iely ielp
> (sDTFm +(A=9)DiF@® + Y MDpgi® + Y A?DThj@)(x —X)
ielg(x) J€l

+ (D2 WDy R )@ + 3 ATDH=GI@ + Y A D= H)@® ) (x = F)

jel iel, iel,
> (6o x =T+ Y Mg x—F)+ Y el x - F)
iE]gr) ]EIn
+ Z;LHU?,)C —f}—l— ZA?(%‘[G,X —Y>+ Z)\fl<§’iH,x —Y)
JEIn ielp i€l
= <ss + Y ME Y (Mg ) + Y0 (7S +allEl). —x>.
ielg JEIn iely

This together with (5.2) yields that

S(Fi(x) = FL @) + (1 = )(FR(x) — @)+ Y Mg — Y afe@®

iely(¥) iely(¥)
O M) = Y M = Y w0 + Y whh)
JE€l JE€I JE JE€I
=3 ACGIW) + Y AFGi® = Y A Hi ) + DA H @) = 0. (5.13)
i€l iel, i€l ielp
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From the fact x € K, we obtain

M=) Me)+ ) Mhi) =Y phhi)- 217G = Y aTHi(x) <0,

iely (%) Jjel jel, icl, icl,
which combined with (5.13), we have the following inequality:
sFi(x)+ (1 —=s)Fx) >sFi(xX)+ (1 —s)F2(X) + M(X). (5.14)
Together M (x) = 0 with (5.13), we deduce that
sFi() + (1 =) F2(x) = sF1(X) + (1 = s) F2(%). (5.15)
Let us see that
F(x) £1 F(X).
Indeed, if it was not true, then there would be
F(x) <; F(x).
By the definition, we obtain
{Fl W<h® {Fl W<h® A< A,
Fa(x) < F2(%) F(x) = Fa(x) F(x) < F2(%).
Since s, 1 — s €]0, 1[, the following strict inequality is valid:
sFI(x) + (1 —85)F(x) < sFi(X) + (1 — s) > (X),

which contradicting inequality (5.15), and the conclusion follows. O
The following corollary is inspired by Theorem 5.

Corollary 2 Let x be a feasible GA-stationary vector to the interval-valued pseudoconvex
optimization problem (IOPEC). Suppose that

(i) Cisconvexand L, = ¥;
(ii) the functions F1, Fa, g; (i € Ig(x)), £h; (j € I,), —=G; (i € vi) and —H; (i € vy) are
affine.

Then X is a LU-optimal solution of problem (IOPEC).

Proof Since the functions F; (i € I,(x)), £h; (j € I,), —=G; (i € v;)and —H; (i €
vp) defined on X are affine, they are pseudo-convex at X. Thanks to the obtained result of
Theorem 5, we deduce that the vector X is a LU-optimal solution of problem (IOPEC), which
proves the claim. O

Remark 3 1In the sense that C may be taken as the whole space X, then the normal cone
N(C, u) for any u € C in the two Wolfe and Mond—Weir dual problems and in Definition 9
can be removed because

T(C,u) =clcone(C —u)=clcone(X —u) =X,

which ensures that N(C, u) = {0}, as required.
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6 Conclusion

We have formulated two Mond—Weir and Wolfe dual problems for the interval-valued pseu-
doconvex optimization problem with equilibrium constraints (IOPEC) in terms of contingent
epiderivatives in real Banach spaces. We established the theorems on strong and weak dual-
ity for the problem (IOPEC) and its Wolfe and Mond—Weir dual problems (WIOPEC) and
(MWIOPEC) in terms of contingent epiderivatives and subdifferentials with pseudoconvex
functions. An application of the results for the GA-stationary vector of the problem (IOPEC)
is presented. Our results in this article are new and therefore these results are not coincide
with the existing one in the literature.
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