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Abstract
Following the conceptualization of a well-formulated and relevant research question, selection of an appropriate stated-
preference method, and related methodological issues, researchers are tasked with developing a survey instrument. A major 
goal of designing a stated-preference survey for health applications is to elicit high-quality data that reflect thoughtful 
responses from well-informed respondents. Achieving this goal requires researchers to design engaging surveys that maximize 
response rates, minimize hypothetical bias, and collect all the necessary information needed to answer the research question. 
Designing such a survey requires researchers to make numerous interrelated decisions that build upon the decision context, 
selection of attributes, and experimental design. Such decisions include considering the setting(s) and study population in 
which the survey will be administered, the format and mode of administration, and types of contextual information to collect. 
Development of a survey is an interactive process in which feedback from respondents should be collected and documented 
through qualitative pre-test interviews and pilot testing. This paper describes important issues to consider across all major 
steps required to design and test a stated-choice survey to elicit patient preferences for health preference research.

Key Points for Decision Makers 

Stated-preference survey design and testing in health 
applications requires careful planning and development, 
with multiple decisions influenced by the decision con-
text, study attributes, the study population and setting, 
technical aspects of the survey and iterative testing.

The goal of survey design is to develop a survey that 
provides high-quality stated-preference data reflecting 
thoughtful responses from well-informed and engaged 
respondents to inform a health-related decision problem.

The guidance in this paper covers the essential elements 
of designing and testing a stated-preference survey that 
reflects evidence from the literature and practical experi-
ence to increase the quality of the resulting data.

1 Introduction

Stated preferences in health preferences research can be 
described as qualitative or quantitative assessments of the 
relative desirability or acceptability of features that differ 
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among alternative health states, health interventions, or 
health services [1, 2]. This paper focuses on the design of 
quantitative, stated-preference surveys rather than surveys 
designed to measure revealed-choice behavior or prefer-
ences elicited with rating scales or qualitative methods. A 
major goal of designing a stated-preference survey is to elicit 
high-quality stated-preference data that reflect thoughtful 
responses from well-informed and engaged respondents to 
inform a given decision problem in healthcare. To attain this 
goal, researchers should aim to design a survey that is eas-
ily understood by respondents and encourages choice mak-
ing wherein hypothetical bias is minimized. This requires 
researchers to make numerous interrelated decisions that 
build upon the decision context, selection of attributes, and 
experimental design for the study.

After having clearly defined the research question of the 
preference study at hand, there are many design considera-
tions that are essential to develop a high-quality preference 
survey, ranging from refining the research question, con-
ducting qualitative research in order to define the attributes 
and levels, and creating an experimental design through 
to analyzing data and interpreting results. These steps and 
considerations have been captured in good research practice 
guidance documents in the literature [3–6]. We are building 
on this foundational work to focus on preference survey and 
instrument design more specifically.

We differentiate between the preference survey instru-
ment (the actual text, choice tasks, and graphics used to 
elicit preference data) and the entire survey, which includes 

the setting and study population considerations, format 
and mode of administration, and contextual information. 
The overall survey may also include multiple other survey 
instruments in addition to the preference survey instrument. 
This is because the ‘quality’ or appropriateness of the sur-
vey instrument can only be evaluated in the context of these 
other factors. We have focused on self-completed, online and 
electronic preference surveys since this is currently the most 
common mode of administration. However, the principles 
related to preference survey design still apply to most other 
modes of administration. One exception of note is surveys 
that are administered by an interviewer or that are interview 
assisted, whether by virtual means, phone, or in-person, 
rather than self-completed.

There are several aspects of survey design to consider in 
advance of the more technical aspects of survey instrument 
development, including the setting(s) and respondent char-
acteristics, format options and mode of administration, and 
metadata or paradata (information to contextualize the sur-
vey instrument and respondents) and technology platforms 
(Fig. 1). In the next stage (Fig. 2), researchers will begin 
to build the survey instrument by preparing respondents 
to answer the preference-elicitation questions, creating the 
layouts for the preference-elicitation questions, and assem-
bling or developing items to collect all necessary respond-
ent information. This includes drafting content to clearly 
communicate all study-specific background information, 
questions, and instructions in non-technical language for 
respondents. After the survey is drafted, researchers must 

Fig. 1  Overview of survey design considerations
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take care to conduct qualitative and quantitative testing of 
the survey (Fig. 3). In qualitative pretest interviews, they 
must inquire and listen to feedback from individuals that 
resemble those that might complete the final survey version 
to guide and document revisions to the survey. In quantita-
tive pilot tests, responses of a small sample of respondents 
are examined to identify choice inconsistencies or other 
stumbling blocks. Testing of the survey is in an iterative 

process with potentially multiple rounds of pretesting and 
pilot testing before full launch of the final survey informed 
by the experimental design.

This paper provides guidance based on the available evi-
dence in the literature as well as practical experience of the 
authors in conducting preferences studies on how to design 
and test a stated-preference survey given the decision con-
text and selected attributes. This paper focuses on the design 

Fig. 2  Survey instrument content

Fig. 3  Testing, revising, and finalizing survey
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of stated-preference survey instrument to elicit preference 
data from patients, specifically. However, many of the learn-
ings can be applied to the design of stated-preference sur-
vey instruments targeted towards other types of respondents 
(e.g., caregivers or clinicians).

2  Survey Design Considerations

In general, a preference survey provides insights on how 
respondents approach a decision as described by certain 
information, and the purpose of a preferences study is fun-
damentally about how the preference information from the 
study will be used. Clarifying the purpose of the preferences 
study, the relevance of the study to decision makers, and 
the potential for informing a decision are central aspects of 
survey design (Fig. 1) [7].

2.1  Setting and Respondent Characteristics

Before drafting a survey, researchers should give careful 
consideration to the setting in which it will be administered 
and who is being surveyed.

1. Setting: Will the respondent complete the survey on 
their own time in a setting of their choosing, or will the 
respondent complete the survey in specific setting such 
as a clinic waiting room?

2. Level of assistance: Will the respondent be capable of 
completing the survey with no supervision, or will the 
respondent need assistance to initiate and/or complete 
the survey?

3. Special characteristics: Does the target population have 
any special characteristics and accessibility considera-
tions (e.g., children, individuals with cognitive limita-
tions, impaired vision or hearing, low literacy, language 
choices) that will influence survey design?

4. Experience: To what extent will respondents have expe-
rience with the health condition and attributes selected 
for the study?

2.2  Format Options and Mode of Administration

First, researchers must decide whether the survey is intended 
to be self-completed by the respondent or whether it will be 
interviewer administered. They should consider the logis-
tics required, including the need for an interview guide and 
training, as well as the potential for social-response bias 
with having an interviewer. However, for specific types of 
respondents, such as young children or people with cognitive 
impairment, interviewer-assisted administration may be nec-
essary to acquire high-quality data. Next, researchers must 
further decide whether the survey will be paper-based or 

electronic. Although not definitive, a comparison of results 
from a discrete choice experiment (DCE) survey adminis-
tered online and by paper found no differences in prefer-
ences. However, the response rate was lower and the cost 
was higher for the paper survey versus the online survey [7]. 
Although paper-based surveys may sometimes be necessary 
(e.g., respondents who experience difficulties with electronic 
devices or with particular visual impairments), they often 
impose additional burden on the study team in terms of 
distributing surveys, collecting surveys, and entering data. 
Electronic surveys provide researchers with some advan-
tages since they directly collect responses and can incorpo-
rate logic rules to identify potential data-entry errors and 
maximize data completion. Additionally, electronic surveys 
facilitate the inclusion of technical advances such as video 
clips to convey information and allow respondents’ choices 
about language, font size, and use of voice overs to use with, 
or instead of, reading text.

A particular advantage of using electronic surveys is the 
opportunity to collect data using smartphones, which offer 
the possibility of efficiently reaching specific populations 
such as youth and populations without computer access 
[8]. However, when developing survey content, research-
ers should be mindful how well it is displayed on smaller 
devices such as tablets or smartphones. In addition, survey 
respondents using smartphones are more likely to multitask 
and be around other people, although this may not have a 
significant impact on data quality [8–10].

2.3  Metadata and Technology Platforms 
for Completing the Survey

Metadata in the context of survey research can be broad, 
encompassing many aspects of research data and processes, 
such as features at the survey level (e.g., response rate), at 
the respondent level (e.g., IP address). and the survey-item 
level (e.g., time required to respond to each question). Some 
metadata are automatically generated using software and 
often available at no additional cost. For example, survey 
software often can identify the mode or screen size used 
when the survey was completed, which allows the researcher 
to identify respondents who viewed the survey on differ-
ent types of devices, platforms, or formats. Other metadata 
must be manually collected; thus, researchers need to specify 
in advance which information they would like to collect. 
Researchers should consider at the outset which contextual 
factors may provide them with valuable insights about pref-
erence patterns, dropouts, or other behaviors of respondents. 
As technology advances, the ability to collect alternative 
types of metadata will likely evolve and offer researchers 
opportunities for new insights to improve response rates, 
improve respondent engagement, and identify factors that 
may influence survey responses.
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3  Survey Instrument Development

3.1  Engaging Respondents and Minimizing 
Hypothetical Bias

An overarching aim of survey development is to build an 
engaging instrument that encourages respondents to inter-
nalize information about study attributes and the decision 
context, and to carefully consider each choice task (Fig. 2).

Unless respondents consider their participation impor-
tant, they will more likely rely on decision heuristics 
when selecting preferred alternatives across choice tasks 
[11–13]. Hypothetical bias is frequently cited as a limi-
tation of stated-preference research [14–16]. However, 
there are several approaches to reduce hypothetical bias. 
Ex-ante approaches, or approaches implemented before 
the respondent starts answering survey questions, include 
administering an honesty oath, ‘cheap talk,’ emphasizing 
consequentiality, and minimizing social desirability bias.16 
For more information, see the electronic supplementary 
materials.

To better engage respondents, aesthetic design prin-
ciples can be applied throughout a survey to minimize 
unnecessary cognitive burden. These include use of clean, 
easy-to-read font for text, and minimalist styles and back-
grounds. Each survey page/screen should include plenty of 
white space devoid of text and figures. Use of loading bars 
showing progress through the survey might help increase 
the proportion of completed surveys.

3.2  Preparing Respondents for Preference Survey 
Instrument Elicitation Questions

3.2.1  Educational Materials

To prepare respondents for completing the preference-elic-
itation task, researchers are advised to provide respondents 
with training related on the content and meaning of all 
attributes and levels that are included in the study as well 
as how to complete the choice questions.17 Such train-
ing is essential to ensure that respondents understand and 
consistently interpret the attributes and attribute levels to 
contribute to the validity of a preference study’s results.

3.2.1.1 Attribute and  Level Descriptions Attributes 
should be described in non-technical language. Descrip-
tions should be clear and specific so that respondents 
interpret attributes and levels in a comparable manner [8, 
17]. Wherever possible, standard clinical definitions or 
descriptions that have been used in previous preference 
studies should be critically reviewed. When  previously 

used attribute descriptions are deemed to be unambigu-
ous and appropriate, they should be considered for use to 
improve comparability across studies; thus, facilitating 
systematic literature reviews and benefit-transfer studies 
[18]. Researchers should be aware of framing effects [19] 
and present attributes and levels in a consistent manner.

While it is important to provide clear and complete 
descriptions, it is also critical to limit the length of descrip-
tions to that which is sufficient and necessary for respond-
ents to complete the choice tasks. Providing respondents 
with too much information might cause (1) respondents to 
miss the essential pieces, (2) a drop in attention, and (3) 
increased dropout rates. When each attribute level has a dis-
tinct meaning, all levels should be described separately. This 
is typically the case for nominal (e.g., modes of administra-
tion) or ordinal (e.g., mild, moderate, severe) levels. Sepa-
rate descriptions often can be avoided for attribute levels 
measured on interval or ratio scales (e.g., risk, out-of-pocket 
cost). In such instances, one might consider providing an 
example or describing only selected levels in detail to avoid 
repetition and reduce burden for respondents.

3.2.1.2 Risk Grid Training Preference studies in healthcare 
and public health frequently include one or multiple risk 
attributes. The interpretation and understanding of risks are 
known to be complicated for respondents [20]. Because few 
studies have experimentally compared alterative risk com-
munication approaches in the context of DCEs, researchers 
are advised to consider current best practices for presenting 
risks. One expert panel recently recommended the use of 
consistent denominators and risk formats across outcomes, 
avoiding ‘1 in x’ formats, and specifying the relevant time 
period [21, 22]. Some experts recommend presenting risk 
levels in more than one format to increase understanding 
across respondents [21] such as presenting a risk as a per-
centage as well as a frequency [22], but combining formats 
is not always advantageous [23].

3.2.1.3 Use of Videos Use of videos has shown both posi-
tive and negative effects [24–26]. Using videos to explain 
attributes and attribute levels and the choice context can 
lead to increased choice consistency and understanding 
among respondents [27, 28]. However, educational mate-
rials should be carefully designed, as simply providing a 
video does not necessarily lead to better engagement [29]. 
Besides relatively ‘simple’ instructional videos, research-
ers could opt to develop a serious game (i.e., interactive 
learning tool to offer experimental and engaging learning of 
complex skills and information). Although the use of seri-
ous games has been shown to be effective in several knowl-
edge or behavioral interventions [30], their applicability and 
effectiveness in preference research is in need of further 
research.
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3.2.2  Comprehension Questions

It is recommended that researchers consider how to assess 
respondents’ attention to and understanding of a study’s 
attributes and levels as well as its choice tasks. One option 
is to include quiz questions about attribute descriptions or 
information represented in an example choice task. Incorrect 
responses can serve as a potential indicator that the respond-
ent did not understand the content or did not read the con-
tent. Jointly evaluating respondents’ performance on quiz 
questions with response times can be useful to identify indi-
viduals who performed poorly on quiz questions and sped 
through the survey, suggesting inattentiveness rather than 
difficulty understanding the information. Although there 
are numerous ways to assess attentiveness and understand-
ing, there are no clear decision rules or thresholds about 
what is considered acceptable or not. In the pre-test and 
pilot-test phases of survey development, such assessments 
provide a basis for researchers to identify any concerns and 
refine the survey instrument. Inclusion of quiz questions in 
the fielded survey can also be useful in the analysis phase 
to test whether respondents providing incorrect responses 
expressed different preference patterns or greater error vari-
ance compared to respondents with correct responses.

3.2.3  Warm‑up Examples

Providing warm-up examples of the choice task can be use-
ful in preparing respondents. If the choice task is complex, 
the researcher can include multiple warm-up examples that 
use a subset of the attributes to build up to the full choice 
task. Also, with ordered attributes, researchers can design a 
warm-up example in which one profile dominates the alter-
native profile (i.e., greater benefits and lower risks) to teach 
respondents how to interpret and answer the choice tasks and 
to identify respondents who may not understand the choice 
task.

3.3  Layouts for Preference Elicitation Questions

3.3.1  Format (Paper or Electronic)

Several decisions have to be made in regard to the layout of 
preference elicitations tasks. First, researchers present only 
one choice task per page (paper surveys) or screen (elec-
tronic survey), since preference surveys require that respond-
ents independently consider each choice task and consider 
all information presented in those tasks [31]. To provide a 
natural mapping between the instructions, choice profiles, 
and the response option [32], preferably all elements of the 
choice task are presented on the same page or screen and 
need to be fully visible to respondents. For electronic sur-
veys, this means that the entire choice task, including the 

instructions and response options, needs to be visible on the 
screen without scrolling required. At the same time, font 
size needs to be large enough for the choice task to be easily 
readable.

However, with a variety of modes of administration now 
available to complete surveys electronically, there may be 
differences in how the choice tasks appear to the respondent 
on different platforms. Researchers should be mindful of 
this and aim to present questions in formats that are easy to 
use and read on small touch screens [8, 33]. We recommend 
that researchers carefully consider the positive and negative 
aspects of making a preference survey mobile-device com-
patible [34, 35]. At a minimum, surveys should be tested 
on a variety of web browsers and mobile devices to ensure 
that choice tasks appear as intended. When a larger screen 
size is required to view the entire choice task, researchers 
can restrict respondents to (or request they use) tablets or 
computers when completing the survey.

In addition, researchers should think about how to access 
attribute descriptions and levels while respondents complete 
choice tasks. In paper-based surveys, respondents can sim-
ply be reminded that they can refer back to the full attribute 
descriptions as they complete the choice tasks. It can also 
be helpful to include one or more supplemental pages that 
include attribute definitions for quick reference. In electronic 
surveys, pop-up windows can be programmed to appear 
when a respondent hovers or clicks on an attribute label in 
the choice task to provide full attribute and level descrip-
tions. Ideally, links to these pop-up windows are embedded 
within each choice task.

3.3.2  Choice Task Layout (Color‑Coding and Use 
of Graphics)

If researchers anticipate that respondents need additional 
assistance in reading choice tasks and quickly flagging dif-
fering attribute levels, color-coding or shading techniques 
can be considered. Color-coding of choice tasks can help 
respondents quickly identify differences between choice pro-
files and might reduce dropout rate and improve attribute 
attendance [36, 37]. Different color-coding strategies include 
highlighting differences in attribute levels between profiles 
[38] or, when attribute levels are strictly ordinal, via inten-
sity color-coding [39, 40]. Researchers should make sure 
that respondents with color vision deficiency can correctly 
interpret the choice tasks. Color schemes, both in graphics 
and when used for the color-coding of attributes, should be 
optimized for individuals with color vision deficiency; red 
and green should be avoided [55] and specialized color maps 
[41], shades of one color, should be used.

Adding graphics can also be helpful to explain the mean-
ing of an attribute or to represent different attribute levels 
in choice tasks [23], but restraint is recommended. Adding 
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graphics for reasons other than describing an attribute (e.g., 
esthetics) can be distracting and overwhelming. There is 
conflicting evidence related to the extent to which graph-
ics add to the understanding of respondents regarding (risk) 
attributes [42, 43]. However, most empirical risk-communi-
cation studies recommend the use of icon arrays to improve 
understanding of risk information [44], but it is unclear the 
extent to which findings from the risk-communication litera-
ture apply to choice questions that require comparisons and 
tradeoffs across alternatives.

3.4  Other Information to Collect

3.4.1  Demographic and Medical Background Information

Many researchers initiate a survey by asking respondents to 
report select demographic and other background informa-
tion. In many cases, these questions are used to determine 
whether an individual is eligible to participate (screen-
ing questions) and to start with an ‘easy’ set of questions. 
Whether these questions can be asked prior to or follow-
ing the provision of informed consent, if required, will vary 
according to local and institutional policies. To minimize 
responder fatigue during the preference-elicitation portion of 
the survey, it can be advantageous to ask background ques-
tions not essential for determining inclusion and exclusion 
criteria until after the preference-elicitation questions have 
been completed.

It is generally recommended that researchers use stand-
ardized questions and response options to collect demo-
graphic information to facilitate comparisons across stud-
ies and to evaluate representativeness of the study sample. 
Standardized questions and response options will depend 
mainly on the study regions but may include census sur-
veys collected by governments around the world or surveys 
conducted by international bodies such as the World Health 
Organization. Researchers should be mindful not to include 
too many of such questions before the preference elicita-
tion section of the survey to avoid dropouts at that stage. In 
addition to collecting demographic information to describe 
the respondents, collecting information on respondent char-
acteristics that might affect preferences is also important 
to enable the assessment of preference heterogeneity in the 
analysis phase of the study [45]. Questions related to atti-
tudes and behavior that might impact preferences should 
only be positioned after the preference-elicitation tasks, 
along with any other questions or assessments that could 
impact responses to preference questions.

3.4.2  Internal Validity Checks

There are a number of validity tests that can be included 
to measure respondent comprehension and consistency. For 

comprehensive reviews of tests for validity and reliability, 
please refer to Janssen et al. [46] and Johnson et al. [47]. 
When considering the inclusion of validity tests, researchers 
need to balance the number of tests versus respondent bur-
den since such tests will add additional time to complete the 
survey. Researchers will also have to decide how to interpret 
the findings since, to date, there are no specific rules about 
what constitutes ‘high-quality’ or ‘low-quality’ respondents.

3.4.3  Numeracy and Literacy Checks

Since choice tasks often include interpreting complex 
health information and numerical information, preference 
researchers may choose to assess levels of health literacy 
and numeracy of respondents as these factors may affect 
their understanding of the tasks, which may contribute to 
preference heterogeneity [48]. Individuals with higher lev-
els of numeracy understand health-related numerical infor-
mation more accurately and make ‘better’ health decisions 
based on that information [49]. There are several validated 
instruments that can be used to assess objective or subjective 
numeracy [50–54]. Similarly, there are several instruments 
that can be used to assess health literacy [55, 56] and risk 
literacy [57]. If the survey includes graphs, it might also be 
useful to assess graph literacy, which predicts comprehen-
sion independently from other types of numeracy [58, 59].

3.4.4  Risk Attitudes, Behaviors, and Beliefs

Researchers may also consider including some questions 
about the respondents’ attitudes, risk behaviors, experiences, 
and beliefs [60]. These questions could be used in the analy-
sis of results to explore subgroups based on hypothesized 
relationships or in latent-class analysis to explore heteroge-
neity and identify classes of respondents based on their pref-
erences. These questions might be tailored to reflect specific 
decision-making contexts such as vaccination where it might 
be important to assess vaccine hesitancy.

3.4.5  Respondent Feedback

Researchers can also ask respondents directly about the sur-
vey with respect to difficulty, understanding and certainty. 
To ascertain this information, some researchers include 
direct questions in the survey or conduct post-survey debrief-
ing and ‘think aloud’ studies [61, 62].

4  Testing the Survey

Once the attributes and levels (or objects) are finalized, the 
choice tasks of the stated-preference survey are generated 
using an experimental design that can be generated using 
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a variety of catalogues and software [5, 63]. Although an 
experimental design will be statistically efficient, considera-
tion also needs to be given to response efficiency. Response 
efficiency can be assessed through pretesting and pilot test-
ing to assess the number of choices that are feasible for 
respondents to complete and check attention levels.

Pretesting and pilot testing are important steps in the 
design and refinement of both the DCE choice tasks and 
the overall survey. Pretesting and pilot testing can serve to 
identify potential issues with the survey before and after it 
is programmed for administration. If issues are identified 
during the testing process, the survey should be updated and 
the testing process repeated in an iterative process (Fig. 3).

4.1  Pretesting

Pretesting generally includes qualitative interview methods 
to test respondent comprehension and areas of potential mis-
understanding [17, 64] of the survey. In general, the goal 
of pretesting is to assess if the respondent understands the 
question in the way the researcher intended. Pretesting can 
also be helpful to reduce response burden, narrow down a 
longer list of potential attributes to be included in the choice 
tasks, or assess if any questions are inappropriate or too sen-
sitive in nature [17]. Pretesting can also be helpful to assess 
the range of levels for an attribute in the stated-preference 
survey [65, 66].

There are no standardized methods for pretesting stated-
preference surveys in health, but Ruel et al. provide a pre-
testing checklist for surveys in general [67]. Two common 
approaches used in pretesting are think-aloud interviews [64] 
and cognitive debrief interviews [67]. Using this approach, 
the researcher can collect feedback from a respondent as 
they answer each question and use probing methods to ask 
specific questions about how the respondent answered a 
question.

Ideally, pretesting should continue until the point of satu-
ration when researchers are no longer identifying any new 
issues for revision to the survey. A general rule of thumb 
for surveys (not specific to stated-preference surveys) is 
between 12 and 50 respondents [67]. It is suggested that the 
researcher carefully documents changes made to the survey 
in the process of pretesting and the rationale for why the 
changes were made.

4.2  Pilot Testing

The final survey may be pilot tested with between 30 and 
100 respondents [67]. Pilot tests can serve as a trial run of 
survey logistics [67] and be used to assess responses to the 
choice tasks [67]. The pilot data can be used to explore the 
direction and size of attribute coefficients [17], assess the 
consistency and rationality of responses in the survey [17], 

evaluate whether respondents are making tradeoffs amongst 
attribute levels [17], examine data collection and coding 
procedures [67], and, when applicable, generate priors for 
parameter estimates for use in the experimental design of the 
main stated-preference survey, which can be critical when 
the potential sample is small [57].

5  Concluding Remarks

For the health preference research field to develop more sys-
tematic evidence on the impact of survey-design choices, 
researchers must be transparent and thorough in reporting 
on survey development and testing. Researchers should 
always (1) report how attributes and levels were communi-
cated to respondents, (2) report on the educational materi-
als assisting respondents with completing the choice tasks, 
(3) show an example choice task, and (4) make the survey 
instrument available, either on request or, preferably, in 
supplemental online materials. Systematic reporting will 
allow others to learn from positive and failed attempts at 
improving respondents’ understanding, reducing drop-out, 
and minimizing measurement error associated with prefer-
ence estimates.

Since most preference surveys are currently administered 
online, additional studies should investigate when and how 
best to use technological advances. For now, it is unclear 
what electronic features might assist in eliciting high-qual-
ity stated-preference data that reflect thoughtful responses 
from well-informed and engaged respondents to inform a 
given research question. Further insights are warranted for, 
amongst others, developing preference survey content for 
small screens (i.e., mobile phones). Related to this, fur-
ther studies need to provide clarity on how best to ensure 
respondents understand the provided information on attrib-
utes, levels, and choice tasks as well as how to make sure 
respondents engage with the information and completion of 
the choices. In that respect, measures to assess if respond-
ents understood presented information and/or were engaged, 
should be developed. Online features might be instrumental 
to advance this line of research to more effectively mini-
mize respondent dropout and burden. Furthermore, studies 
examining the influence of various approaches to minimiz-
ing hypothetical bias in health-related stated-preference 
research are needed. Future research should also focus on 
best approaches for presenting complex attributes such as 
benefits and risks as well as choice-task layouts (e.g., the 
use of graphics). Future study registries of preference studies 
in health and their corresponding survey instruments could 
be particularly valuable in assisting the field in continuous 
learning and advancement in survey design, development, 
and comparability.
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