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Abstract
While improvement of soybean productivity under a changing climate will be integral to ensuring sustainable food security, 
the relative importance of genetic progress attributed to historical yield gains remains uncertain. Here, we compiled 16,934 
cultivar-site-year observations from experiments during the period of 2006–2020 to dissect effects of genetic progress and 
climate variability on China’s soybean yield gains over time. Over the past 15 years, mean yields in the Northeast China 
(NEC), Huang-Huai-Hai Plain (HHH), and Southern Multi-cropping Region (SMR) were 2830, 2852, and 2554 kg ha−1, 
respectively. Our findings show that genetic progress contributed significantly to yield gains, although underpinning mecha-
nisms varied regionally. Increased pod number per plant (PNPP) drove yield gains in the NEC, while both PNPP and 100-
grain weight (100-GW) contributed to yield gains in the HHH. In all regions, incremental gains in the reproductive growing 
periods increased PNPP, 100-GW, and yields. While heat stress in the reproductive period reduced average yields in all 
regions, superior yielding cultivars (top 25%) in the HHH and SMR were less sensitive to heat stress during the reproduc-
tive phases, indicating that the higher yielding cultivars benefited from genetic improvement in heat stress tolerance. Our 
results highlight the importance of genetic improvements in enabling sustainable food security under global warming and 
increasingly frequent heat stress.
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1  Introduction

Soybean is a globally vital food and non-food product crop 
(Fodor et al. 2017; Fuchs et al. 2019). China is the largest 
soybean importer globally due to anthropogenic consump-
tion (USDA 2019; Wu et al. 2020), with imports accounting 
over 80% of Chinese domestic demand (Ren et al. 2021). 

The increasing global demand for protein, as well as global 
warming and increased frequencies of extreme weather 
events have together exacerbated the risk in soybean produc-
tion (Hamed et al. 2021; Zhang et al. 2021; Zhao et al. 2021). 
Current and historical yield gains of soybean in China have 
been much lower than yield gains seen in other nations over 
the last few decades (Yin and Chen 2019). Although China 
has adopted a series of policies and invested in research ena-
bling soybean production, many questions remain unsolved. 
For instance, genetic progress through introduction of novel 
cultivars has played a fundamental role in improving soy-
bean yield (Bai et al. 2023; Kumagai et al. 2022), but the 
extent to which soybean yields are driven by genotype versus 
environment under global warming remains to be elucidated.

It is near certain the global temperatures will rise in 
the coming decades, causing intensification of the global 
water cycle and more frequent extreme events, such as heat 
stress (Harrison 2021; IPCC 2021). Temperature is one of 
the most important climatic factors driving soybean yields 
through both developmental and photosynthetic rates 
(Lobell and Field 2007; Yan et al. 2022). Previous studies 
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have shown that an increase in global mean temperature 
by 1 °C would decrease soybean yields by 3% (Zhao et al. 
2017). When temperature exceeds 30 ℃, soybean devel-
opment processes, such as flowering and grain filling, are 
inhibited (Deryng et al. 2014; Jin et al. 2017; Thomey 
et al. 2019), and can result in severe yield penalties (Kimm 
et al. 2021; Siebers et al. 2015; Zhang et al. 2016a). How-
ever, previous experiments have generally been limited in 
scale and scope, with additional analyses needed to extend 
site-specific results to regional scales in order to provide 
insight into general and long-term trends. Panel regression 
analysis, which includes both site and temporal dimen-
sions, is suitable for evaluating yield responses to climate 
variability and is widely used to aggregate site scale to 
regional scale (Lobell 2017; Zhang et al. 2016b). Further-
more, the available research related to soybean produc-
tion is mainly focused on a global scale or the USA, with 
limited information available for China (Jin et al. 2017; 
Schlenker and Roberts 2009; Zhao et al. 2017).

Genetic progress through crop breeding is a fundamen-
tal pillar for closing the attainable yield gap between China 
and other major soybean production countries, such as the 
USA (Vogel et al. 2021). Soybean genetic yield gains in 
China have been attributed to various traits improvement, 
including optimization of yield components and extension 
of the reproductive growth period (Jin et al. 2010; Wang 
et al. 2016; Xu et al. 2020). However, genetic sensitivity 
to temperature varies substantially among soybean culti-
vars (Kumagai and Sameshima 2014). Genetic adaptation 
is essential in the quest to breed crops better adapted and 
more resilient to a changing climate (Zabel et al. 2021), 
although the extent of adaptation is mediated by site-specific 
genotype, by environment, and by management interactions 
(Ibrahim et al. 2019). Development of new cultivars together 
with contextualized management may enable place-based 
climate change adaptation, enabling resilience to extreme 
heat exposure and/or crop heat stress (He et al. 2020; Zhang 
et al. 2021; Zhao et al. 2022).

To enable evidence-based decision making, China 
has established an integrated system for soybean cultivar 
assessment and comparison, including data from multiple 
cultivar-environment traits. Compared with previous work, 
this database consists of extensive multi-point cultivar trials 
enabling insight into interactions between cultivars, man-
agement, and environment (www.​natesc.​org.​cn). Here, we 
utilize these data together with climatic data to determine 
how soybean productivity has responded to genetic progress 
and changes in climate. Specifically, the objectives of this 
study were to (1) evaluate the genetic contribution to China’s 
historical soybean yield gains, (2) estimate the sensitivity 
of soybean yields to temperature variability and heat stress, 
and (3) determine defining characteristics of heat resilience 
and superior yield performance in contemporary cultivars.

2 � Materials and methods

2.1 � Data sources

Measured data, including yield, sowing dates, flowering dates, 
maturity dates, pod number per plant (PNPP), grain number 
per pod (GNPP), and hundred-grain weight (100-GW), were 
obtained from the national unified variety testing of China 
(NUSVT) annual reports from 2006 to 2020 (www.​natesc.​org.​
cn). The National Agro-Tech Extension and Service Center 
(NATESC) coordinated the NUSVT to select genotypes with 
high yield, high quality, and high resilience across agroeco-
logical regions. Cultivars were evaluated using a consistent 
protocol that was repeated every year for each NUSVT sta-
tion, no other treatments were applied in the trial (NATESC 
2020). The NUSVT was conducted using a randomized block 
design with each block repeated in triplicate at each site for 
each cultivar, variables reported represent averages of the 
three repetitions. Plot sizes were 15–20 m2 with 10–12 m2 
harvested, depending on location. There were 6–12 rows in 
each plot, sowing density ranged from 180,000 to 260,000 
plants per hectare following the local soybean agronomic 
recommendations. Although all agronomic practices were 
not provided in the annual reports, tillage practices and water 
and fertilizer management were the same as practices used 
for local soybean production. In general, herbicides were 
applied only after seedling emergence, weeds were controlled 
through manual weeding over the entire growth period, while 
insecticides, fungicides, and plant growth regulators were not 
applied. All observations were collected by experts following 
standardized protocols of the NATESC. Flowering date was 
recorded when more than 50% of plants exhibited anthers, 
and maturity date was recorded when 95% of pods per plant 
attained maturity color. Flowering and maturity dates were 
deemed the R1 and R8 stages of soybean development, 
respectively (Fehr and Caviness 1977). The annual report for 
2019 was unavailable due to COVID-19.

Strict rules were used in the NUSVT to select exemplary 
cultivars (NATESC 2020). Generally, cultivar evaluation 
continued for 1 to 3 years, with new cultivars entering the 
evaluation while earlier cultivars cease to be evaluated each 
year. A new cultivar will be dropped at the end of the first 
year if it did not perform well, but will continue to be tested 
in the subsequent years if its performance meets the selec-
tion criteria. Depending on performance, cultivars could be 
dropped from the trial at the end of the second year, continue 
to be tested in the third year, or be recommended for further 
production trials based on performance in the second year. 
As such, only cultivars tested for more than 1 year were 
included in the present study. This dataset comprised 1659 
cultivars with 16,934 observations (Table S1); cultivar-year-
site combinations are shown in Tables S1 and S2, detailed 
information for a selected dataset is illustrated in Table S3.

https://www.natesc.org.cn
https://www.natesc.org.cn
https://www.natesc.org.cn
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The study area is transverse to all major soybean growing 
regions in China, and these regions were subdivided into the 
sub-regions shown Fig. 1a following Xu et al. (2020), includ-
ing Northeast China (NEC), Huang-Huai-Hai Plain (HHH), 
and the Southern Multi-cropping Region (SMR). The NEC 
and HHH together cover more than 80% of national soybean 
cultivated area. Cultivars were divided into spring (generally 
sowing from March to May depending on region) and sum-
mer (generally sowing in June) based on the sowing dates 
of soybean. In summary, spring soybean was cultivated in 
the NEC and SMR, and summer soybean was grown in the 
HHH and SMR. More information about the treatments for 
either spring or summer cultivars is depicted in Table S4. 
Daily minimum temperature, mean temperature, maximum 
temperature, and precipitation in each NUSVT site were 
obtained from the China Meteorological Data Sharing Ser-
vice System (http://​data.​cma.​cn). Detailed soybean-related 
records from the NUSVT and the daily climatic data were 
compiled to build a comprehensive dataset for further analy-
ses detailed below.

2.2 � Data analysis

2.2.1 � Yield, yield components, growth periods, and climatic 
resources

A mixed linear model was adopted to evaluate the trends 
of yield, yield components, growth periods, and climatic 
resources in each region during the study period. Due to the 
maturity groups varied across the NEC and other regions 
shown in Table S5, differences between groups were con-
sidered in the mixed linear model. Generally, the lmerTest 
R package was applied to calculate each variable included in 

the study (Kuznetsova et al. 2017). Ambient temperature and 
precipitation during each growing period were calculated 
using the actual soybean growth phase in each year recorded 
by NUSVT. Each variable was expressed as trend per dec-
ade computed as 10 times the regression coefficient of the 
model. Cultivars were categorized in three discrete levels 
according to average yield as shown in Fig. S1, with yields 
the top 25% defined as high-yielding cultivars, the bottom 
25% low yielding cultivars and others mid yielding cultivars.

2.2.2 � Contribution of genetic progress to historical yield 
gains

The contribution of genetic progress to yield was first quan-
tified by evaluating genetic trend of each cultivar. Selected 
representative datasets (Table S3) were used to evaluate the 
genetic trends in each region using a three-way model with 
year, site and cultivar factors (Hartung et al. 2023; Laidig 
et al. 2008, 2014):

where yijt is the mean yield of cultivar i in the site j and year 
t; μ is a fixed intercept; Gi, Sj, and Yt are the main effects of 
cultivar i, site j, and year t; (GS)ij is the interaction effect of 
cultivar i and site j; (GY)it is the interaction effect of cultivar 
i and year t; and (SY)jt is the interaction effect of site j and 
year t; (GSY)ijt represents interaction effects of the three fac-
tors; and eijt is a random error. For the SMR, (GSY)ijt was 
not included in the analysis as the number of observations at 
this sub-region was equal to the number of cultivar-by-year-
by-site combinations, so the terms (GS)ij, (GY)it, and (SY)jt 
were used instead of (GSY)ijt. Genetic and non-genetic trends 

(1)
yijt = � + Gi + Sj + Yt + (GS)ij + (GY)it + (SY)jt + (GSY)ijt + eijt

Fig. 1   Spatial distribution of the national unified soybean variety 
testing (NUSVT) sites between the period of 2006 and 2020 across 
China (a). Effects of the interactions of cultivars, sowing dates and 
nitrogen inputs on soybean performance in the field experiment (b, 
photograph by the authors). NEC, HHH, and SMR represent North-
east China, Huang-Huai-Hai Plain, and Southern Multi-cropping 

Region, respectively. The background image represents the harvested 
soybean area in 2010, which was obtained from the Spatial Pro-
ductional Allocation Model provided by International Food Policy 
Research Institute (https://​www.​mapsp​am.​info/). The field experi-
ment represented the interactions of 2 cultivars, 3 sowing dates, and 4 
nitrogen managements.

http://data.cma.cn
https://www.mapspam.info/
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were estimated by extension of Eq. (1) as follows (Piepho 
et al. 2014):

where ri is the first testing year for cultivars i, and tt is the 
numeric variable for the year of testing. β is a fixed regres-
sion coefficient for genetic trend, and γ is a fixed regres-
sion coefficient for non-genetic trend. Hi and Zt respectively 
represent the random normal residual of Gi and Yt in each 
model. Genetic and non-genetic trends per decade were 
quantified as the regression coefficients β and γ multiplied 
by 10.

As structural equation modeling can be used to explore 
the causal relationships of different variables (Fan et al. 
2016), we used this approach to analyze how agronomic 
traits influenced yield based on mean records per cultivar 
over multi-environments. Causalities between agronomic 
traits (e.g., length of vegetative growth period, the length 
of reproductive growth period, PNPP, GNPP, 100-GW) and 
yield were analyzed in the past work with parameters, such 
as P-values, comparative fit index (CFI), and root mean 
square error of approximation (RMSEA), to evaluate quality 
of model fit (Fan et al. 2016; Li et al. 2022). Here, CFI repre-
sents the discrepancy function adjusted for sample size and 
ranges from 0 to 1, higher values represent better model per-
formance (Fan et al. 2016; Hu and Bentler 1999). RMSEA 
is associated with residual and range from 0 to 1, smaller 
values indicate better model performance (Fan et al. 2016; 
Hu and Bentler 1999). The lavaan R package was applied for 
structural equation model analysis (https://​lavaan.​ugent.​be).

2.2.3 � Response of yield to temperature

Cumulative temperature effects on yield over the growth 
period was evaluated following Hadasch et al (2020) and 
Schlenker and Roberts (2009):

where Y is the natural logarithmic of yield, i is the cultivar, 
j is the site, and t is the year. Gi, Sj, Yt, (GS)ij, (GY)it, (SY)jt, 
(GSY)ijt, and eijt are defined as in Eq. (1). μ is a fixed inter-
cept, β is a fixed regression coefficient for genetic trend, 
and γ is a fixed regression coefficient for non-genetic trend. 
ATEkijt represents accumulated temperature in days to the 
kth temperature interval in each region, n is the number of 
intervals in each region and αk is estimated coefficient of 
temperature exposure. The quadratic function of growing 

(2)Gi = �ri + Hi

(3)Yt = �tt + Zt

(4)
Yijt = E

(
Yijt

)
+ Gi + Sj + Yt + (GS)ij + (GY)it + (SY)jt + (GSY)ijt + eijt

(5)
E
(
Yijt

)
= � + �ri + �tt +

∑n

k=1
�kATEkijt + �1Pijt + �2P

2

ijt

season precipitation denoted with Pijt and P2
 ijt were added 

to capture nonlinear effects of precipitation based on the 
preliminary analyses; θ1 and θ2 are estimated coefficients. 
We conducted a preliminary analysis (temperature ranging 
from 1 to 5 ℃) to select the temperature optima based on the 
temperature distribution in different regions, arriving on the 
4 ℃ step to calculate ATEkijt:

where Thkijt represents hourly temperature for the kth tem-
perature interval. The hourly temperature was computed by 
interpolating the daily maximum temperature and daily min-
imum temperature with a sine function (Lobell et al. 2013).

2.2.4 � Sensitivity of yield to heat stress

The combined effects of heat stress and thermal accumula-
tion are thought to be key factors affecting yield (Butler and 
Huybers 2015), hitherto this has only been analyzed at the 
plot/field scale. Heat stress is represented by high tempera-
ture degree days (HDD) and thermal accumulation is quanti-
fied with growing degree days (GDD). GDD and HDD in the 
vegetative growth period and reproductive growth period at 
each site were respectively calculated using the following 
equations based on hourly temperature:

where Th is the hourly temperature, GDDt represents the 
value of GDD in t hour, HDDt is the value of HDD in t hour, 
and N is the number of hours in each period. The threshold 
maximum temperature was defined as 30 ℃ and the thresh-
old minimum temperature was set as 10 ℃ for soybean fol-
lowing measurements made previously (Schlenker and Rob-
erts 2009; Yin et al. 2016a).

A regression model was applied to estimate the sensitivity 
of yield to HDD and GDD during different growth periods. 
The analysis was conducted for each region.

(6)ATEkijt =
1

24
×
∑

Thkijt

(7)GDD =

N∑
t=1

GDDt

(8)GDDt =

⎧
⎪⎨⎪⎩

0, Th ≤ 10

(Th − 10)∕24, 10 < Th ≤ 30
30−10

24
, Th > 30

(9)HDD =

N∑
t=1

HDDt

(10)HDDt =

{
0, Th ≤ 30

(Th − 30)∕24, Th > 30

https://lavaan.ugent.be
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where Y is the yield; Gi, Sj, Yt, (GS)ij, (GY)it, (SY)jt, (GSY)ijt, 
and eijt are defined as in Eq. (1). μ is a fixed intercept, β is a 
fixed regression coefficient for genetic trend, and γ is a fixed 
regression coefficient for non-genetic trend. V indicates the 
vegetative growth period, R is the reproductive growth period; 
α1, α2, θ1, and θ2 correspond to model coefficients of yield to 
GDD and HDD in each growth period, respectively; Pijt is the 
precipitation in each growth stage. In all cases, the variance 
inflation factor (VIF) in each sub-region was less than 10, 
suggesting an absence of multicollinearity between variables 
(Thompson et al. 2017). The sensitivity of yield to GDD and 
HDD was calculated referring to Zhang et al. (2016b):

where a represents the sub-region, c represents either GDD or 
HDD in the vegetative and reproductive stages; Sena,c is yield 
sensitivity to climate factor c in region a shown in Fig. 1a; 
Coeffc represents the climatic factor c and Yielda is the average 
yield across region a. The sensitivity of yield to heat stress 
was further explored for cultivars of different yield levels, 
providing insight into genotypic response to heat stress, in 
particular whether high yield is linked with heat resilience.

3 � Results

3.1 � Yield and yield components

Average yield was higher in the NEC and HHH than SMR, and 
the high-yielding sites were mainly located in the southern NEC, 

(11)
Yijt = E

(
Yijt

)
+ Gi + Sj + Yt + (GS)ij + (GY)it + (SY)jt + (GSY)ijt + eijt

(12)
E
(
Yijt

)
= � + �ri + �tt + �1GDD

V
ijt
+ �2GDD

R
ijt

+θ1HDD
V

ijt
+ θ2HDD

R

ijt
+ σ1P

V
ijt
+ �2P

R
ijt

(13)Sena,c =
Coeff c

Yielda

central HHH, and northern SMR (Fig. 2a). Average yields over 
the last 15 years were 2852, 2830, and 2554 kg ha−1 in the HHH, 
NEC, and SMR, respectively (Fig. 2b). Mean summer cultivar 
yields were higher than that of spring cultivars in the SMR and 
at the national scale (Figs. S2 and S3). Yield increased in each 
cultivation zone from 2006 to 2020 with rates of 332, 389, and 
185 kg ha−1 per decade in the NEC, HHH, and SMR, respec-
tively. There were considerable differences between yield, the 
average of the high yielding cultivars was 3129, 3086, and 3050 
kg ha−1 in the NEC, HHH, and SMR, respectively (Fig. S4).

Yield components varied considerably across regions 
(Fig. 3). Pod number per plant (PNPP) was higher in the NEC 
and HHH than in the SMR. PNPP increased faster in the NEC 
and HHH as the rate of 2.14 and 3.28 per decade, respectively 
(Fig. 3a and d), compared with the SMR where no change in 
PNPP was identified. Grain number per pod (GNPP) was higher 
in the NEC with mean value of 2.16, followed by HHH and 
SMR; no differences in GNPP trends among the three regions 
were observed (Fig. 3b and e). 100-GW was lower in the NEC 
than in the HHH and SMR, it only showed significantly (increas-
ing) trend in the HHH with a rate of 1.48 per decade (Fig. 3c and 
f). Yield components tended to be higher for the high yielding 
cultivars compared with the lower yielding cultivars (Fig. S5).

3.2 � Phenology

Phenology varied among regions, especially for the reproduc-
tive growth period (Fig. 4), with average vegetative growth peri-
ods from 40 to 56 days, being longest in the NEC. Mean repro-
ductive growth period was 62 to 82 from south to north and 
with largest values in the NEC, which led to the longest grow-
ing season in the NEC (Fig. 4a). Sowing times were earlier in 
the NEC and later in the HHH; similar trends were observed for 
the flowering and maturity times in the two regions (Fig. S6).

Sowing times were delayed while flowering times 
advanced significantly in the NEC and SMR leading to shorter 

Fig. 2   Spatial distribution of 
the multi-year average soybean 
yield per experimental site (a) 
and the temporal changes of 
soybean yield in each culti-
vation zone (b) during the 
experimental period. Boxplots 
show the median (horizontal 
line in each box), the 25th and 
75th percentiles (boxes), and 
the 5th and 95th percentiles 
(whiskers) of average observed 
soybean yield. NEC, HHH, 
and SMR represent Northeast 
China, Huang-Huai-Hai Plain, 
and Southern Multi-cropping 
Region, respectively.
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vegetative periods of 2.5 and 2.6 days per decade in these two 
regions (Fig. S6 and Fig. 4b). Maturity times were delayed 
significantly with 3.8 days per decade in the NEC, but were 
more stable in the SMR, thus extending the reproductive 
growth period significantly with 4.4 and 1.4 days per decade 
in the NEC and SMR, respectively. On the other hand, sowing, 
flowering, and maturity times in the HHH were delayed sig-
nificantly, with 2.2, 1.9, and 2.8 days per decade, respectively, 
thus shortening the vegetative growth period and extending 
the reproductive growth period. Maturity was delayed more 
compared with the sowing time in the NEC and HHH, pro-
longing the whole growth period while advanced maturity 
date and delayed sowing date shortened the growth period in 
SMR. The reproductive period was longer for the high yield-
ing cultivars than for the low yielding cultivars (Fig. S7).

3.3 � Effects of genetic progress on soybean yield

Genetic progress contributed positively to yield gains 
as estimated by Eqs. (1–3) (Table 1), advancing by 213, 
150, and 155 kg ha−1 per decade for the NEC, HHH, and 
SMR, respectively. Non-genetic trends also increased in the 
NEC and HHH, with mean values of 203 and 241 kg ha−1, 

respectively (Table S6) suggesting that non-genetic drivers 
contributed more to yield gains than genetic factors. Contri-
butions of genetic progress to yield were different between 
spring and summer soybean (Tables S7 and S8).

Generally, differences in growth periods and yield com-
ponents explain cultivar differences in yield (Fig. 5). Each 
yield component had positive effects on yield, despite the 
negative relationship among these yield components. The 
vegetative period and the reproductive period were nega-
tively related. With the exception of SMR, both growth peri-
ods had positive effects on PNPP and 100-GW, while nega-
tively affecting GNPP. In the NEC and HHH, the vegetative 
period had the largest effect on PNPP and the reproductive 
period had the largest effect on 100-GW. The PNPP had the 
largest effects on yield in each region. The magnitudes of the 
effects of GNPP and 100-GW on yield were similar in the 
NEC and SMR, while the contribution of 100-GW to yield 
was higher than GNPP in the HHH (Fig. 5).

3.4 � Climatic changes during the growing season

Our results clearly illustrated the spatial variability in mean 
temperature, GDD, and HDD for each of the growth periods, 

Fig. 3   Variations of soybean pod number per plant (PNPP, a), 
grain number per pod (GNPP, b), and 100-grain weight (100-GW, 
c) across soybean cultivation zones over the study period. The 
changing trends of PNPP (d), GNPP (e), and 100-GW (f) per dec-
ade in different soybean cultivation zones over the study period. 

Different letters in the boxplots indicate statistically significant dif-
ference between each zone (a–c), and the trends with a mark “**” 
are significant at 0.01 level (d–f). NEC, HHH, and SMR represent 
Northeast China, Huang-Huai-Hai Plain, and Southern Multi-crop-
ping Region, respectively.
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especially for the HDD and mean temperature in the repro-
ductive growth period (Fig. 6). The HDD in the reproductive 
growth period was higher in the southern NEC and southern 
HHH; similar trends were obtained for mean temperature. 

Mean temperature in the vegetative period tended to be higher 
in the HHH than NEC and SMR, while the mean temperature 
in the reproductive growth period was highest in the SMR, 
followed by the HHH and NEC (Fig. 6a and b). In addition, 
the GDD in the vegetative period was lower in the NEC and 
southern HHH, while northern SMR had higher GDD in the 
reproductive period (Fig. 6d and e). HDD was higher in the 
HHH in both growth periods (Fig. 6g and h). The precipitation 
in the HHH was lower than in other regions (Fig. S8).

During the last 15 years, HDD in the reproductive growth 
period increased significantly in the NEC and HHH at a rate 
of 4.6 and 10.4 ℃d per decade (Fig. 6i). Mean temperature in 
the reproductive stage in the HHH also significantly increased 
(Fig. 6c). GDD in the vegetative growth period decreased 
over time in NEC and SMR at rates of 30 and 27 ℃d per 
decade, while GDD in the reproductive period increased sig-
nificantly at 52, 35, and 22 ℃d in the NEC, HHH, and SMR, 

Fig. 4   Spatial distribution of the length of the vegetative growth 
period, reproductive growth period, and whole growth period 
(a), and their temporal changes for each soybean cultivation 

zone (b). NEC, HHH, and SMR represent Northeast China, 
Huang-Huai-Hai Plain, and Southern Multi-cropping Region, 
respectively.

Table 1   Estimates of the genetic trend of soybean cultivars from 
2006 to 2020 using Eqs. (1–3). Specially, SE is standard error, super-
script “*” represents significant at 0.05 level, and superscript “**” 
represents significant at 0.01 level. NEC, HHH, and SMR represent 
Northeast China, Huang-Huai-Hai Plain, and Southern Multi-crop-
ping Region, respectively.

Region Estimate of the genetic trend (kg ha−1 
decade−1)

Absolute SE

NEC 212.9** 43.5
HHH 149.6** 39.9
SMR 155.2* 71.4
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respectively (Fig. 6f). Precipitation increased in both soybean 
growth phases in the NEC and decreased in the vegetative 
growth period in the HHH (Fig. S8).

3.5 � Sensitivity of yield to temperature and heat 
stress

Temperature exposure during the growing season was 
distributed between 12 and 28 ℃ in the NEC and 20–32 
℃ in the HHH and SMR (Fig. 7). Generally, the sen-
sitivity of yield to temperature was evaluated by Eqs. 
(4–5). The duration of high temperature exposure was 
greater in the HHH and SMR than in the NEC. The clear 
temperature response was observed in the NEC, where 
yield declined when temperatures exceeded 28 ℃, similar 
trends were also found in the SMR when temperature 
larger than 32 ℃.

A multiple linear regression model (Eqs. 11–12) was 
adopted to evaluate the impacts of heat stress on yield in 
each growth period (Table S9). Yield responded more 
negatively to heat stress in the reproductive growth 
period compared with heat stress during the vegetative 
growth period in all regions (Fig. 8a). Heat stress caused 
the highest yield penalties in the reproductive period in 
the NEC (Fig. 8a). Cultivars had negative sensitivity to 
heat stress in the reproductive stage in the NEC, the larg-
est sensitivity was observed for high yielding cultivars 
(Figs. 8b and S9; Table S10). All types of cultivars were 
adversely affected by HDD in the HHH, and high yielding 
cultivars were least sensitive to heat stress in this region. 
Nevertheless, heat stress in the reproductive stage did not 
tend to reduce yield of the highest yielding cultivars in 
the SMR (Fig. 8b; Table S10).

4 � Discussion

4.1 � Genetic progress contributed to yield gains 
over time

Our results showed that genetic progress contributed to yield 
gains over the last 15 years (Table 1), which is a finding aligned 
with previous studies (Rincker et al. 2014; Wang et al. 2016; Xu 
et al. 2020). Other studies have attributed these breeding gains 
due to increased yield floor rather than yield ceiling (de Felipe 
and Alvarez Prado 2021), probably because newer cultivars 
have longer growing seasons, higher photosynthetic rates, less 
lodging, higher biomass production, and greater partitioning 
of biomass into seed compared with older cultivars (Jin et al. 
2010; Koester et al. 2014; Lopez et al. 2021).

Improved yield components translated to yield gains, 
although the extent of which varied between regions (Figs. 3, 
5, and S5). For instance, PNPP was the dominant contributor 
to yield in the NEC, increasing at a rate of 2 pods per plant per 
decade (Figs. 3d and 5a). The PNPP for the high yielding cul-
tivars was 1.8 times higher than that of the low yielding culti-
vars, while differences between GNPP and 100-GW were much 
smaller compared with PNPP between different yield-levels in 
the NCP (Fig. S5). Other study has shown that yield gains were 
attributed to seed number per plant, with PNPP being the most 
important contributor to yield stability in the NEC from 1960 to 
2006 (Jin et al. 2010). Here, we found that both PNPP and 100-
GW drove yield gains in the HHH (Figs. 5 and S5), similar to a 
previous study that showed increased seed weight and seeds per 
pod rather than pods per plant contributed more to genetic yield 
gain in the HHH (Wang et al. 2016). Moreover, both PNPP and 
100-GW increased in the HHH, which explained the yield gains 
in the region (Fig. 3). PNPP and GNPP contributed to yield 

Fig. 5   Structural equation 
models of soybean yield in 
the NEC (a), HHH (b), and 
SMR (c). Black and red solid 
arrows respectively indicate 
positive and negative effects, 
and the dashed arrows mean 
no significant relationships at 
the P = 0.05 level. NEC, HHH, 
and SMR represent Northeast 
China, Huang-Huai-Hai Plain, 
and Southern Multi-cropping 
Region, respectively.
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gains in the SMR, in line with previous conclusions showing 
that the pod number and seed number per plant increased in 
the southern China for the cultivars released between 1995 and 
2016 (Yang et al. 2022). Despite this, changes in PNPP, GNPP, 
and 100-GW were not significant in the SMR over the last 15 
years, probably because assessed alternative breeding goals in 
different periods (Qin et al. 2017; Yang et al. 2022). As well, 
soybeans tend to have greater sensitivity to climate vagaries 
than other crop types (Wu et al. 2019).

Our results showed that the extension of reproductive 
growth period was a key factor affecting the performance of 
cultivars in each region. Phenological observations at agrome-
teorological stations have demonstrated that the reproductive 
growth period has extended over time (He et al. 2020; Liu and 
Dai 2020), which can increase shoot biomass and yield (Yang 
et al. 2022). The duration of the reproductive period increased 
in each region in the study, contributing to increased PNPP and 
100-GW (Figs. 4 and 5; Wang et al. 2016).

Fig. 6   The spatial pattern of mean temperature (a and b), growing 
degree days (GDD; d and e), and high temperature degree days 
(HDD; g and h) in the vegetative growth period and reproductive 
growth period, respectively. Trends in mean temperature (c), GDD 
(f), and HDD (i) per decade in each soybean cultivation zone dur-

ing the vegetative and reproductive growth stages. “*” means sig-
nification at P=0.05 level, while “**” denotes significance at the 
P=0.01 level. NEC, HHH, and SMR represent Northeast China, 
Huang-Huai-Hai Plain, and Southern Multi-cropping Region, 
respectively.
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4.2 � Impacts of global warming and heat stress 
on crop productivity

4.2.1 � Global warming

China has experienced significant atmospheric warming dur-
ing recent decades, similar to the majority of other regions 
in the world, which has temperature projections of warmer 
future climes (Jiang et al. 2021; You et al. 2021). Recent 

studies have highlighted temperature as the most important 
climatic factor influencing soybean growth and development 
(Liu and Dai 2020; Zhao et al. 2017). In theory, global warm-
ing would extend the soybean growing season and provide 
better sowing and harvest conditions, especially in cold 
regions such as the NEC (Yin et al. 2016b). Similar to other 
crop types, how to best adapt soybean to a changing climate 
remains a challenge, but success in this endeavor will be vital 
to ensure sustainable food security (Muleke et al. 2022).

Fig. 7   Nonlinear relation between temperature and yield in the NEC 
(a), HHH (b), and SMR (c). Upper panels display changes in log 
yield for 4 ℃ temperature increments, shown in blue lines (the esti-
mated coefficient αk in the Eq. 4). The black line is the fitted curve 
(using locally weighted regression) for the regression coefficients, 

and grey area represents 95% confidence interval. Lower panels rep-
resent the mean accumulated duration of thermal exposure to each 4 
℃ temperature bin in each region. NEC, HHH, and SMR represent 
Northeast China, Huang-Huai-Hai Plain, and Southern Multi-crop-
ping Region, respectively.

Fig. 8   Sensitivity of soybean 
yield to high temperature degree 
days (HDD) in either vegetative 
or reproductive growth period 
in the NEC, HHH, and SMR 
(a), and the responses of differ-
ent levels of soybean yield to 
HDD in the reproductive growth 
period in each region (b). NEC, 
HHH, and SMR represent 
Northeast China, Huang-Huai-
Hai Plain, and Southern Multi-
cropping Region, respectively.
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Our results found that soybean is most sensitive to climate 
warming in the NEC, where the maturity date was delayed 
more than the sowing dates thus extending the growing 
season (Fig. S6). On the other hand, increased temperature 
would accelerate soybean development, thus shortening the 
growth period and leading to decreased yield, unless the 
cultivar is adapted to counteract this (He et al. 2020; Liu and 
Dai 2020; Ruiz-Vera et al. 2018; Yin et al. 2016a). However, 
our results indicated that the whole soybean growth period 
was only shortened in the SMR while it was extended sig-
nificantly in the NEC and HHH (Fig. 4). This suggests that 
modern soybean cultivars are well adapted to climate warm-
ing through shortening the vegetative growth period and 
extending the reproductive growth period for the regions in 
the study, thus making better use of the reproductive grow-
ing period to improve soybean yield (Figs. 4 and 5).

4.2.2 � Heat stress

Previous studies showed that the frequency and degree of heat 
stress increased along with climate warming, especially in the 
summer season (Chen et al. 2018; Yin et al. 2016b). Our results 
indicated that the heat stress risks were much higher in the 
reproductive growth period than the vegetative growth period 
in all regions, and this risk was much greater in the reproductive 
period in the NEC and HHH (Fig. 6). Soybean growth could be 
adversely affected once the temperature exceeded the optimal 
range (Alsajri et al. 2019; Djanaguiraman et al. 2011; Jumrani 
and Bhatia 2018). The exposure of high temperature led to soy-
bean yield reduction in each region, and heat stress in the repro-
ductive growth period was the major driver for yield losses in 
the NEC and HHH (Figs. 7 and 8), which is in line with recent 
studies (Jha et al. 2017; Siebers et al. 2015; Thomey et al. 2019).

Previous studies have demonstrated that heat stress 
severely reduced PNPP, GNPP, and 100-GW, thus reduc-
ing soybean yield by affecting physiological processes, such 
as leaf photosynthetic rate, stomatal conductance, and the 
dry matter accumulation (Sima et al. 2020; Tacarindua et al. 
2013). Generally, the flowering and pod filling phases are 
particularly critical to heat stress during the reproductive 
growth period (Thomey et al. 2019; Yin et al. 2016a). Past 
work has shown that soybean may recover from heat stress 
during the flowering stage due to the longer growth period 
of this phase in soybean, while the yield loss caused by heat 
stress in the late reproductive stages affecting pod setting 
cannot be mitigated (Siebers et al. 2015). Thus, the timing 
of heat stress is crucial and heat stress in the grain filling 
stage is particularly harmful for soybean production. Fur-
thermore, heat stress is associated with vapor pressure deficit 
that promotes drought, which elevates leaf temperatures and 
exacerbates soybean yield losses (Tacarindua et al. 2013).

Generally, the sensitivities of soybean yield to heat stress 
varied massively across regions and cultivars (Fig. 8). The 

climatic conditions and the breeding strategies could be the 
most important factors making the differences of heat sensi-
tivity between three regions. Soybean in the NEC is mainly 
produced under rainfed agriculture, which is particularly 
sensitive to temperature variability (Hamed et al. 2021; Yin 
et al. 2016a). The soybean yield in cool areas of the NEC was 
positively correlated with temperature, while opposite in the 
warm areas of NEC (Zhang et al. 2021). The southern part 
of NEC is characterized by higher soybean yield and higher 
temperature with frequently occurring heat stress, which could 
explain the strongly negative sensitivity of high-yield cultivars 
to heat stress in the NEC (Figs. 6 and 8). Previous studies have 
documented the largest anticipated increase of heat stress in the 
warmer areas of NEC, which negatively affects soybean yield 
(Yin et al. 2016b). Thus, we concluded that increased utiliza-
tion of thermal resource has been identified as an important 
strategy to promote yield gains in the NEC; thus, the high-yield 
cultivars tend to be more sensitive to temperature and eventu-
ally the heat stress. On the other hand, the heat stress risk was 
much higher in the HHH than NEC, mainly because the soy-
bean growing season was concentrated in the summer season 
and the high temperate conditions in the HHH (Figs. 6 and 
S6). Moreover, our results also showed that soybean yield was 
most sensitive to heat stress in the reproductive growth period 
in the HHH, particularly the low yield level cultivars with the 
mean value around 2300 kg ha−1 (Fig. 8). Additionally, evi-
dence from field warming experiments in the HHH showed 
that warming significantly decreased 100-GW and soybean 
yield by 21% and 45%, respectively (Zhang et al. 2016a). Thus, 
reducing the adverse effects of heat stress is essential for yield 
increasing. The sensitivity of the high yield-level cultivars to 
heat stress was less than others, which means the cultivars 
with both higher heat-tolerant and high-yielding traits were 
relatively well adapted to heat stress in the HHH. This is prob-
ably because high yielding soybean cultivars with stronger heat 
stress tolerance have been historically selected in the HHH.

The SMR generally had higher temperatures and higher 
precipitation (Figs. 6 and S8; Song et al. 2016). High tem-
peratures caused greater yield losses in dry conditions than 
in wet conditions, with heat stress resulting in greater penal-
ties to soybean yield during dry conditions than wet condi-
tions (Hamed et al. 2021; Luan et al. 2021). The climate may 
help explain why soybean in the SMR was less affected by 
heat stress even though the higher HDD (Fig. 8): it is plausi-
ble that abundant water in the SMR maintained water supply 
and sustained evaporative cooling, mediating the detrimental 
effects of supraoptimal temperatures on soybean.

4.3 � Implications and perspectives

Our results underscore the importance of implementing multiple 
cultivar-environment traits to evaluate yield responses to genetic 
progress and climate variability. Detailed records of agronomic 
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traits helped reveal the effects of genotypic improvement on 
yield, and explained why yield increased over time. Our results 
also exemplified trends in adapting to global warming, with high 
yielding cultivars in the HHH generally demonstrating supe-
rior performance under heat stress. Our panel regression model 
dissected the genetic and non-genetic influences on yield gains 
over time, deeper, mechanistic insights into how crop traits and 
canopy biophysics contribute to yields in individual years could 
further be investigated using process-based models. In summary, 
this study should be useful for advancing soybean production 
and cultivar breeding in China under global warming.

5 � Conclusions

This study aims to determine how China’s soybean productiv-
ity responded to genetic progress and changes in climate dur-
ing the last 15 years. Our results demonstrated that new genet-
ics contributed to yield gains over 2006 to 2020. While yields 
were higher in the NEC and HHH compared with SMR, all 
regions exhibited yield gains over time. Incremental gains in 
PNPP were primarily attributed to yield gains observed in the 
NEC, while increments in PNPP and 100-GW were dominant 
contributors to yield improvements in the HHH. Reproductive 
stages in all regions increased over time, leading to increased 
PNPP and 100-GW. The non-linear response of yield to tem-
perature emphasized the negative implications associated with 
heat stress on yield during the reproductive growth period in 
the NEC and HHH. Our findings highlight the importance of 
improving genotypic tolerance and resilience to extreme heat 
exposure, while increasing GDD to maintain growing dura-
tion, biomass production, and yield.

Supplementary Information  The online version contains supplemen-
tary material available at https://​doi.​org/​10.​1007/​s13593-​023-​00905-9.

Acknowledgements  We thank the National Agro-Tech Extension and 
Service Center coordinated the national unified soybean variety testing 
(NUSVT) of China, and all the scientists and technicians involved in 
the NUSVT.

Authors' contributions  Conceptualization and design: Xiaogang Yin, 
Fu Chen, and Li Zhang. Resources and data collection: Xiaogang Yin, 
Li Zhang, Haoyu Zheng, Wenjie Li, Zhiyuan Bai, Jun Zou, Axiang 
Zheng, and Xingyao Xu. Writing—original draft: Li Zhang. Writing—
review and editing: Jørgen Eivind Olesen, Matthew Tom Harrison, 
Carl Bernacchi, Bin Peng, Ke Liu, Fu Chen, and Xiaogang Yin. All 
the authors read and approved the final manuscript.

Funding  This research was supported by the National Natural Sci-
ence Foundation of China (32071979) and the Young Talent Pro-
motion Project of China Association for Science and Technology 
(2019QNRC001).

Data availability  The data analyzed during the study are available from 
the corresponding author on reasonable request.

Code availability  Not applicable.

Declarations 

Ethical approval  Not applicable.

Consent to participate  Not applicable.

Consent for publication  Not applicable.

Conflict of interest  The authors declare no competing interests.

References

Alsajri FA, Singh B, Wijewardana C, Irby JT, Gao W, Reddy KR 
(2019) Evaluating soybean cultivars for low- and high-tempera-
ture tolerance during the seedling growth stage. Agronomy 9:13. 
https://​doi.​org/​10.​3390/​agron​omy90​10013

Bai Z, Chen X, Zheng A, Zhang L, Zou J, Zhang D, Chen F, Yin 
X (2023) Spatial-temporal variations for agronomic and quality 
characters of soybeans varieties (strains) tested in America from 
1991 to 2019. Acta Agron Sin 49(1):177–187. https://​doi.​org/​10.​
3724/​SP.J.​1006.​2023.​24026. (InChinesewithEnglishAbstract) 

Butler EE, Huybers P (2015) Variations in the sensitivity of US maize 
yield to extreme temperatures by region and growth phase. Envi-
ron Res Lett 10:034009. https://​doi.​org/​10.​1088/​1748-​9326/​10/3/​
034009

Chen Y, Zhang Z, Tao F (2018) Impacts of climate change and climate 
extremes on major crops productivity in China at a global warm-
ing of 1.5 and 2.0 °C. Earth Syst Dynam 9:543–562. https://​doi.​
org/​10.​5194/​esd-9-​543-​2018

Deryng D, Conway D, Ramankutty N, Price J, Warren R (2014) Global 
crop yield response to extreme heat stress under multiple climate 
change futures. Environ Res Lett 9:034011. https://​doi.​org/​10.​
1088/​1748-​9326/9/​3/​034011

Djanaguiraman M, Prasad PVV, Boyle DL, Schapaugh WT (2011) 
High-temperature stress and soybean leaves: leaf anatomy and 
photosynthesis. Crop Sci 51:2125–2131. https://​doi.​org/​10.​2135/​
crops​ci2010.​10.​0571

Fan Y, Chen J, Shirkey G, John R, Wu SR, Park H, Shao C (2016) 
Applications of structural equation modeling (SEM) in ecological 
studies: an updated review. Ecol Process 5:19. https://​doi.​org/​10.​
1186/​s13717-​016-​0063-3

Fehr WR, Caviness CE (1977) Stages of soybean development. Special 
Report 87, Iowa Agricultural Experiment Station, Iowa Coopera-
tive External Series, Iowa State University, Ames. https://​lib.​dr.​
iasta​te.​edu/​speci​alrep​orts/​87. Accessed 17 Mar 2023

de Felipe M, Alvarez Prado S (2021) Has yield plasticity already been 
exploited by soybean breeding programmes in Argentina? J Exp 
Bot 72:7264–7273. https://​doi.​org/​10.​1093/​jxb/​erab3​47

Fodor N, Challinor A, Droutsas I, Ramirez-Villegas J, Zabel F, Koehler 
AK, Foyer CH (2017) Integrating plant science and crop mod-
eling: assessment of the impact of climate change on soybean and 
maize production. Plant Cell Physiol 58:1833–1847. https://​doi.​
org/​10.​1093/​pcp/​pcx141

Fuchs R, Alexander P, Brown C, Cossar F, Henry RC, Rounsevell M 
(2019) US-China trade war imperils Amazon rainforest. Nature 
567:451–454. https://​doi.​org/​10.​1038/​d41586-​019-​00896-2

Hadasch S, Laidig F, Macholdt J, Bönecke E, Piepho HP (2020) Trends 
in mean performance and stability of winter wheat and winter 
rye yields in a long-term series of variety trials. Field Crops Res 
252:107792. https://​doi.​org/​10.​1016/j.​fcr.​2020.​107792

Hamed R, Van Loon AF, Aerts J, Coumou D (2021) Impacts of com-
pound hot–dry extremes on US soybean yields. Earth Syst Dynam 
12:1371–1391. https://​doi.​org/​10.​5194/​esd-​12-​1371-​2021

https://doi.org/10.1007/s13593-023-00905-9
https://doi.org/10.3390/agronomy9010013
https://doi.org/10.3724/SP.J.1006.2023.24026
https://doi.org/10.3724/SP.J.1006.2023.24026
https://doi.org/10.1088/1748-9326/10/3/034009
https://doi.org/10.1088/1748-9326/10/3/034009
https://doi.org/10.5194/esd-9-543-2018
https://doi.org/10.5194/esd-9-543-2018
https://doi.org/10.1088/1748-9326/9/3/034011
https://doi.org/10.1088/1748-9326/9/3/034011
https://doi.org/10.2135/cropsci2010.10.0571
https://doi.org/10.2135/cropsci2010.10.0571
https://doi.org/10.1186/s13717-016-0063-3
https://doi.org/10.1186/s13717-016-0063-3
https://lib.dr.iastate.edu/specialreports/87
https://lib.dr.iastate.edu/specialreports/87
https://doi.org/10.1093/jxb/erab347
https://doi.org/10.1093/pcp/pcx141
https://doi.org/10.1093/pcp/pcx141
https://doi.org/10.1038/d41586-019-00896-2
https://doi.org/10.1016/j.fcr.2020.107792
https://doi.org/10.5194/esd-12-1371-2021


Genetic progress battles climate variability: drivers of soybean yield gains in China from…

1 3

Page 13 of 14  50

Harrison MT (2021) Climate change benefits negated by extreme heat. 
Nat Food 2:855–856. https://​doi.​org/​10.​1038/​s43016-​021-​00387-6

Hartung J, Laidig F, Piepho HP (2023) Effects of systematic data 
reduction on trend estimation from German registration tri-
als. Theor Appl Genet 136(1):1–12. https://​doi.​org/​10.​1007/​
s00122-​023-​04266-5

He L, Jin N, Yu Q (2020) Impacts of climate change and crop manage-
ment practices on soybean phenology changes in China. Sci Total 
Environ 707:35638. https://​doi.​org/​10.​1016/j.​scito​tenv.​2019.​135638

Hu L, Bentler PM (1999) Cutoff criteria for fit indexes in covariance 
structure analysis: conventional criteria versus new alternatives. 
Struct Equ Modeling 6:1–55. https://​doi.​org/​10.​1080/​10705​51990​
95401​18

Ibrahim A, Harrison MT, Meinke H, Zhou M (2019) Examining the 
yield potential of barley near-isogenic lines using a genotype by 
environment by management analysis. Europe J Agron 105:41–51. 
https://​doi.​org/​10.​1016/j.​eja.​2019.​02.​003

IPCC (2021) Summary for policymakers. In: Masson-Delmotte V, Zhai 
P, Pirani A, Connors SL, Péan C, Berger S, Caud N, Chen Y, 
Goldfarb L, Gomis MI, Huang M, Leitzell K, Lonnoy E, Mat-
thews JBR, Maycock TK, Waterfield T, Yelekçi O, Yu R, and B. 
Zhou B (eds). Climate Change 2021: The Physical Science Basis. 
Contribution of Working Group I to the Sixth Assessment Report 
of the Intergovernmental Panel on Climate Change. Cambridge 
University Press, Cambridge, United Kingdom and New York, 
NY, USA, pp 3−32. https://​doi.​org/​10.​1017/​97810​09157​896.​001

Jha UC, Bohra A, Parida SK, Jha R (2017) Integrated “omics” 
approaches to sustain global productivity of major grain leg-
umes under heat stress. Plant Breed 136:437–459. https://​doi.​
org/​10.​1111/​pbr.​12489

Jiang Y, Yin X, Wang X, Zhang L, Lu Z, Lei Y, Chu Q, Chen F 
(2021) Impacts of global warming on the cropping systems of 
China under technical improvements from 1961 to 2016. Agron 
J 113:187–199. https://​doi.​org/​10.​1002/​agj2.​20497

Jin J, Liu X, Wang G, Mi L, Shen Z, Chen X, Herbert SJ (2010) 
Agronomic and physiological contributions to the yield 
improvement of soybean cultivars released from 1950 to 2006 
in Northeast China. Field Crops Res 115:116–123. https://​doi.​
org/​10.​1016/j.​fcr.​2009.​10.​016

Jin Z, Zhuang Q, Wang J, Archontoulis SV, Zobel Z, Kotamarthi VR 
(2017) The combined and separate impacts of climate extremes 
on the current and future US rainfed maize and soybean pro-
duction under elevated CO2. Glob Change Biol 23:2687–2704. 
https://​doi.​org/​10.​1111/​gcb.​13617

Jumrani K, Bhatia VS (2018) Impact of combined stress of high tem-
perature and water deficit on growth and seed yield of soybean. 
Physiol Mol Biol Plants 24:37–50. https://​doi.​org/​10.​1007/​
s12298-​017-​0480-5

Kimm H, Guan K, Burroughs CH, Peng B, Ainsworth EA, Bernacchi 
CJ, Moore CE, Kumagai E, Yang X, Berry JA, Wu G (2021) 
Quantifying high-temperature stress on soybean canopy pho-
tosynthesis: the unique role of sun-induced chlorophyll fluo-
rescence. Glob Change Biol 27:2403–2415. https://​doi.​org/​10.​
1111/​gcb.​15603

Koester RP, Skoneczka JA, Cary TR, Diers BW, Ainsworth EA 
(2014) Historical gains in soybean (Glycine max Merr.) seed 
yield are driven by linear increases in light interception, energy 
conversion, and partitioning efficiencies. J Exp Bot 65:3311–
3321. https://​doi.​org/​10.​1093/​jxb/​eru187

Kumagai E, Sameshima R (2014) Genotypic differences in soybean 
yield responses to increasing temperature in a cool climate are 
related to maturity group. Agric For Meteorol 198–199:265–
272. https://​doi.​org/​10.​1016/j.​agrfo​rmet.​2014.​08.​016

Kumagai E, Yabiku T, Hasegawa T (2022) A strong negative 
trade-off between seed number and 100-seed weight stalls 
genetic yield gains in northern Japanese soybean cultivars in 

comparison with Midwestern US cultivars. Field Crops Res 
283:108539. https://​doi.​org/​10.​1016/j.​fcr.​2022.​108539

Kuznetsova A, Brockhoff PB, Christensen RHB (2017) lmerTest 
Package: tests in linear mixed effects models. J Stat Softw 
82(13):1–26. https://​doi.​org/​10.​18637/​jss.​v082.​i13

Laidig F, Drobek T, Meyer U (2008) Genotypic and environmental 
variability of yield for cultivars from 30 different crops in Ger-
man official variety trials. Plant Breed 127(6):541–547. https://​
doi.​org/​10.​1111/j.​1439-​0523.​2008.​01564.x

Laidig F, Piepho HP, Drobek T, Meyer U (2014) Genetic and non-
genetic long-term trends of 12 different crops in German offi-
cial variety performance trials and on-farm yield trends. Theor 
Appl Genet 127(12):2599–2617. https://​doi.​org/​10.​1007/​
s00122-​014-​2402-z

Li C, Wang X, Guo Z, Huang N, Hou S, He G, Batchelor WD, Sid-
dique KHM, Wang Z, Zhang D (2022) Optimizing nitrogen 
fertilizer inputs and plant populations for greener wheat pro-
duction with high yields and high efficiency in dryland areas. 
Field Crops Res 276:108374. https://​doi.​org/​10.​1016/j.​fcr.​2021.​
108374

Liu Y, Dai L (2020) Modelling the impacts of climate change and crop 
management measures on soybean phenology in China. J Clean 
Prod 262:121271. https://​doi.​org/​10.​1016/j.​jclep​ro.​2020.​121271

Lobell DB, Asseng S (2017) Comparing estimates of climate change 
impacts from process-based and statistical crop models. Environ 
Res Lett 12:015001. https://​doi.​org/​10.​1088/​1748-​9326/​aa518a

Lobell DB, Field CB (2007) Global scale climate–crop yield rela-
tionships and the impacts of recent warming. Environ Res Lett 
2:014002. https://​doi.​org/​10.​1088/​1748-​9326/2/​1/​014002

Lobell DB, Hammer GL, McLean G, Messina C, Roberts MJ, Schlen-
ker W (2013) The critical role of extreme heat for maize produc-
tion in the United States. Nat Clim Change 3:497–501. https://​doi.​
org/​10.​1038/​nclim​ate18​32

Lopez MA, Freitas Moreira F, Raine KM (2021) Genetic relationships 
among physiological processes, phenology, and grain yield offer 
an insight into the development of new cultivars in soybean (Gly-
cine max L. Merr). Front Plant Sci 12:651241. https://​doi.​org/​10.​
3389/​fpls.​2021.​651241

Luan X, Bommarco R, Scaini A, Vico G (2021) Combined heat and 
drought suppress rainfed maize and soybean yields and modify 
irrigation benefits in the USA. Environ Res Lett 16:064023. 
https://​doi.​org/​10.​1088/​1748-​9326/​abfc76

Muleke A, Harrison MT, de Voil P, Hunt I, Liu K, Yanotti M, Eisner 
R (2022) Earlier crop flowering caused by global warming allevi-
ated by irrigation. Environ Res Lett 17:044032. https://​doi.​org/​10.​
1088/​1748-​9326/​ac5a66

NATESC (2020) National soybean variety trial implementation pro-
gram in 2020. https://​www.​natesc.​org.​cn/​admin/​Uedit​orUpl​oadFi​
les/​file/​20200​326/​63720​83634​58945​31268​14176.​pdf. Accessed 
10 Mar 2020

Piepho HP, Laidig F, Drobek T, Meyer U (2014) Dissecting genetic and 
non-genetic sources of long-term yield trend in German official 
variety trials. Theor Appl Genet 127:1009–1018. https://​doi.​org/​
10.​1007/​s00122-​014-​2275-1

Qin X, Feng F, Li D, Herbert SJ, Liao Y, Siddique KHM (2017) 
Changes in yield and agronomic traits of soybean cultivars 
released in China in the last 60 years. Crop Pasture Sci 68:973. 
https://​doi.​org/​10.​1071/​CP170​02

Ren D, Yang H, Zhou L, Yang Y, Liu W, Hao X, Pan P (2021) The 
land-water-food-environment nexus in the context of China’s soy-
bean import. Adv Water Resour 151:103892. https://​doi.​org/​10.​
1016/j.​advwa​tres.​2021.​103892

Rincker K, Nelson R, Specht J, Sleper D, Cary T, Cianzio SR, Casteel S, 
Conley S, Chen P, Davis V, Fox C, Graef G, Godsey C, Holshouser 
D, Jiang GL, Kantartzi SK, Kenworthy W, Lee C, Mian R, McHale 
L, Naeve S, Orf J, Poysa V, Schapaugh W, Shannon G, Uniatowski 

https://doi.org/10.1038/s43016-021-00387-6
https://doi.org/10.1007/s00122-023-04266-5
https://doi.org/10.1007/s00122-023-04266-5
https://doi.org/10.1016/j.scitotenv.2019.135638
https://doi.org/10.1080/10705519909540118
https://doi.org/10.1080/10705519909540118
https://doi.org/10.1016/j.eja.2019.02.003
https://doi.org/10.1017/9781009157896.001
https://doi.org/10.1111/pbr.12489
https://doi.org/10.1111/pbr.12489
https://doi.org/10.1002/agj2.20497
https://doi.org/10.1016/j.fcr.2009.10.016
https://doi.org/10.1016/j.fcr.2009.10.016
https://doi.org/10.1111/gcb.13617
https://doi.org/10.1007/s12298-017-0480-5
https://doi.org/10.1007/s12298-017-0480-5
https://doi.org/10.1111/gcb.15603
https://doi.org/10.1111/gcb.15603
https://doi.org/10.1093/jxb/eru187
https://doi.org/10.1016/j.agrformet.2014.08.016
https://doi.org/10.1016/j.fcr.2022.108539
https://doi.org/10.18637/jss.v082.i13
https://doi.org/10.1111/j.1439-0523.2008.01564.x
https://doi.org/10.1111/j.1439-0523.2008.01564.x
https://doi.org/10.1007/s00122-014-2402-z
https://doi.org/10.1007/s00122-014-2402-z
https://doi.org/10.1016/j.fcr.2021.108374
https://doi.org/10.1016/j.fcr.2021.108374
https://doi.org/10.1016/j.jclepro.2020.121271
https://doi.org/10.1088/1748-9326/aa518a
https://doi.org/10.1088/1748-9326/2/1/014002
https://doi.org/10.1038/nclimate1832
https://doi.org/10.1038/nclimate1832
https://doi.org/10.3389/fpls.2021.651241
https://doi.org/10.3389/fpls.2021.651241
https://doi.org/10.1088/1748-9326/abfc76
https://doi.org/10.1088/1748-9326/ac5a66
https://doi.org/10.1088/1748-9326/ac5a66
https://www.natesc.org.cn/admin/UeditorUploadFiles/file/20200326/6372083634589453126814176.pdf
https://www.natesc.org.cn/admin/UeditorUploadFiles/file/20200326/6372083634589453126814176.pdf
https://doi.org/10.1007/s00122-014-2275-1
https://doi.org/10.1007/s00122-014-2275-1
https://doi.org/10.1071/CP17002
https://doi.org/10.1016/j.advwatres.2021.103892
https://doi.org/10.1016/j.advwatres.2021.103892


	 L. Zhang et al.

1 3

50  Page 14 of 14

R, Wang D, Diers B (2014) Genetic improvement of U.S. soybean 
in maturity groups II, III, and IV. Crop Sci 54:1419–1432. https://​
doi.​org/​10.​2135/​crops​ci2013.​10.​0665

Ruiz-Vera UM, Siebers MH, Jaiswal D, Ort DR, Bernacchi CJ (2018) 
Canopy warming accelerates development in soybean and maize, 
offsetting the delay in soybean reproductive development by 
elevated CO2 concentrations: climate change impacts on crops 
development. Plant Cell Environ 41:2806–2820. https://​doi.​org/​
10.​1111/​pce.​13410

Schlenker W, Roberts MJ (2009) Nonlinear temperature effects indicate 
severe damages to U.S. crop yields under climate change. PNAS 
106:15594–15598. https://​doi.​org/​10.​1073/​pnas.​09068​65106

Siebers MH, Yendrek CR, Drag D, Locke AM, Rios Acosta L, Leakey 
ADB, Ainsworth EA, Bernacchi CJ, Ort DR (2015) Heat waves 
imposed during early pod development in soybean (Glycine max) 
cause significant yield loss despite a rapid recovery from oxida-
tive stress. Glob Change Biol 21:3114–3125. https://​doi.​org/​10.​
1111/​gcb.​12935

Sima MW, Fang QX, Burkey KO, Ray SJ, Pursley WA, Kersebaum 
KC, Boote KJ, Malone RW (2020) Field and model assessments 
of irrigated soybean responses to increased air temperature. Agron 
J 112:4849–4860. https://​doi.​org/​10.​1002/​agj2.​20394

Song W, Yang R, Wu T, Wu C, Sun S, Zhang S, Jiang B, Tian S, Liu 
X, Han T (2016) Analyzing the effects of climate factors on soy-
bean protein, oil contents, and composition by extensive and high-
density sampling in China. J Agric Food Chem 64:4121–4130. 
https://​doi.​org/​10.​1021/​acs.​jafc.​6b000​08

Tacarindua CRP, Shiraiwa T, Homma K, Kumagai E, Sameshima R 
(2013) The effects of increased temperature on crop growth and 
yield of soybean grown in a temperature gradient chamber. Field 
Crops Res 154:74–81. https://​doi.​org/​10.​1016/j.​fcr.​2013.​07.​021

Thomey ML, Slattery RA, Köhler IH, Bernacchi CJ, Ort DR (2019) 
Yield response of field-grown soybean exposed to heat waves 
under current and elevated [CO2]. Glob Change Biol 25:4352–
4368. https://​doi.​org/​10.​1111/​gcb.​14796

Thompson CG, Kim RS, Aloe AM, Becker BJ (2017) Extracting the 
variance inflation factor and other multicollinearity diagnostics 
from typical regression results. Basic Appl Soc Psych 39:81–90. 
https://​doi.​org/​10.​1080/​01973​533.​2016.​12775​29

USDA (2019) USDA Agricultural Projections to 2028. https://​www.​
ers.​usda.​gov/​publi​catio​ns/​pub-​detai​ls/?​pubid=​92599. Accessed 
20 Jun 2022

Vogel JT, Liu W, Olhoft P, Crafts-Brandner SJ, Pennycooke JC, Chris-
tiansen N (2021) Soybean yield formation physiology – a founda-
tion for precision breeding based improvement. Front Plant Sci 
12:719706. https://​doi.​org/​10.​3389/​fpls.​2021.​719706

Wang C, Wu T, Sun S, Xu R, Ren J, Wu C, Jiang B, Ho W, Han T (2016) 
Seventy-five years of improvement of yield and agronomic traits of 
soybean cultivars released in the Yellow-Huai-Hai River Valley. Crop 
Sci 56:2354–2364. https://​doi.​org/​10.​2135/​crops​ci2015.​10.​0618

Wu F, Geng Y, Zhang Y, Ji C, Chen Y, Sun L, Xie W, Ali T, Fujita 
T (2020) Assessing sustainability of soybean supply in China: 
evidence from provincial production and trade data. J Clean Prod 
244:119006. https://​doi.​org/​10.​1016/j.​jclep​ro.​2019.​119006

Wu Y, Wang E, He D, Liu X, Archontoulis SV, Huth NI, Zhao Z, Gong 
W, Yang W (2019) Combine observational data and modelling to 
quantify cultivar differences of soybean. Eur J Agron 111:125940. 
https://​doi.​org/​10.​1016/j.​eja.​2019.​125940

Xu C, He Y, Sun S, Song W, Wu T, Han T, Wu C (2020) Analysis 
of soybean yield formation differences across different produc-
tion regions in China. Agron J 112:4195–4206. https://​doi.​org/​
10.​1002/​agj2.​20373

Yan H, Harrison MT, Liu K, Wang B, Feng P, Fahad S, Meinke H, 
Yang R, Liu DL, Archontoulis S, Huber I, Tian X, Man J, Zhang 
Y, Zhou M (2022) Crop traits enabling yield gains under more 

frequent extreme climatic events. Sci Total Environ 808:152170. 
https://​doi.​org/​10.​1016/j.​scito​tenv.​2021.​152170

Yang J, Richards RA, Jin Y, He J (2022) Both biomass accumulation 
and harvest index drive the yield improvements in soybean at 
high and low phosphorus in south-west China. Field Crops Res 
277:108426. https://​doi.​org/​10.​1016/j.​fcr.​2021.​108426

Yin X, Chen F (2019) Spatio-temporal changes of global soybean pro-
duction from 1961 to 2017. World Agric 487:65-71. https://​doi.​
org/​10.​13856/j.​cnll-​1097/s.​2019.​11.​009.  (In Chinese with Eng-
lish Abstract)

Yin X, Olesen JE, Wang M, Öztürk I, Chen F (2016) Climate effects 
on crop yields in the Northeast Farming Region of China during 
1961–2010. J Agric Sci 154:1190–1208. https://​doi.​org/​10.​1017/​
S0021​85961​60001​49

Yin X, Olesen JE, Wang M, Öztürk I, Zhang H, Chen F (2016) Impacts 
and adaptation of the cropping systems to climate change in the 
Northeast Farming Region of China. Eur J Agron 78:60–72. 
https://​doi.​org/​10.​1016/j.​eja.​2016.​04.​012

You Q, Cai Z, Wu F, Jiang Z, Pepin N, Shen SSP (2021) Tempera-
ture dataset of CMIP6 models over China: evaluation, trend 
and uncertainty. Clim Dyn 57:17–35. https://​doi.​org/​10.​1007/​
s00382-​021-​05691-2

Zabel F, Mueller C, Elliott J, Minoli S, Jagermeyr J, Schneider JM, 
Franke JA, Moyer E, Dury M, Francois L, Folberth C, Liu W, 
Pugh TAM, Olin S, Rabin SS, Mauser W, Hank T, Ruane AC, 
Asseng S (2021) Large potential for crop production adaptation 
depends on available future varieties. Glob Change Biol 27:3870–
3882. https://​doi.​org/​10.​1111/​gcb.​15649

Zhang J, Liu Y, Dai L (2021) Agricultural practice contributed more to 
changes in soybean yield than climate change from 1981 to 2010 
in northeast China. J Sci Food Agric 102:2387–2395. https://​doi.​
org/​10.​1002/​jsfa.​11576

Zhang S, Tao F, Zhang Z (2016) Changes in extreme temperatures 
and their impacts on rice yields in southern China from 1981 to 
2009. Field Crops Res 189:43–50. https://​doi.​org/​10.​1016/j.​fcr.​
2016.​02.​008

Zhang L, Zhu L, Yu M, Zhong M (2016) Warming decreases photo-
synthates and yield of soybean [Glycine max (L.) Merrill] in the 
North China Plain. Crop J 4:139–146. https://​doi.​org/​10.​1016/j.​
cj.​2015.​12.​003

Zhao C, Liu B, Piao S, Wang X, Lobell DB, Huang Y, Huang M, Yao 
Y, Bassu S, Ciais P, Durand JL, Elliott J, Ewert F, Janssens IA, Li 
T, Lin E, Liu Q, Martre P, Müller C, Peng S, Peñuelas J, Ruane 
AC, Wallach D, Wang T, Wu D, Liu Z, Zhu Y, Zhu Z, Asseng S 
(2017) Temperature increase reduces global yields of major crops 
in four independent estimates. PNAS 114:9326–9331. https://​doi.​
org/​10.​1073/​pnas.​17017​62114

Zhao Z, Wang E, Kirkegaard JA, Rebetzke GJ (2022) Novel wheat 
varieties facilitate deep sowing to beat the heat of changing cli-
mates. Nat Clim Chang 12:291–296. https://​doi.​org/​10.​1038/​
s41558-​022-​01305-9

Zhao J, Wang C, Shi X, Bo X, Li S, Shang M, Chen F, Chu Q (2021) 
Modeling climatically suitable areas for soybean and their shifts 
across China. Agric Syst 192:103205. https://​doi.​org/​10.​1016/j.​
agsy.​2021.​103205

Publisher's note  Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

Springer Nature or its licensor (e.g. a society or other partner) holds 
exclusive rights to this article under a publishing agreement with the 
author(s) or other rightsholder(s); author self-archiving of the accepted 
manuscript version of this article is solely governed by the terms of 
such publishing agreement and applicable law.

https://doi.org/10.2135/cropsci2013.10.0665
https://doi.org/10.2135/cropsci2013.10.0665
https://doi.org/10.1111/pce.13410
https://doi.org/10.1111/pce.13410
https://doi.org/10.1073/pnas.0906865106
https://doi.org/10.1111/gcb.12935
https://doi.org/10.1111/gcb.12935
https://doi.org/10.1002/agj2.20394
https://doi.org/10.1021/acs.jafc.6b00008
https://doi.org/10.1016/j.fcr.2013.07.021
https://doi.org/10.1111/gcb.14796
https://doi.org/10.1080/01973533.2016.1277529
https://www.ers.usda.gov/publications/pub-details/?pubid=92599
https://www.ers.usda.gov/publications/pub-details/?pubid=92599
https://doi.org/10.3389/fpls.2021.719706
https://doi.org/10.2135/cropsci2015.10.0618
https://doi.org/10.1016/j.jclepro.2019.119006
https://doi.org/10.1016/j.eja.2019.125940
https://doi.org/10.1002/agj2.20373
https://doi.org/10.1002/agj2.20373
https://doi.org/10.1016/j.scitotenv.2021.152170
https://doi.org/10.1016/j.fcr.2021.108426
https://doi.org/10.13856/j.cnll-1097/s.2019.11.009
https://doi.org/10.13856/j.cnll-1097/s.2019.11.009
https://doi.org/10.1017/S0021859616000149
https://doi.org/10.1017/S0021859616000149
https://doi.org/10.1016/j.eja.2016.04.012
https://doi.org/10.1007/s00382-021-05691-2
https://doi.org/10.1007/s00382-021-05691-2
https://doi.org/10.1111/gcb.15649
https://doi.org/10.1002/jsfa.11576
https://doi.org/10.1002/jsfa.11576
https://doi.org/10.1016/j.fcr.2016.02.008
https://doi.org/10.1016/j.fcr.2016.02.008
https://doi.org/10.1016/j.cj.2015.12.003
https://doi.org/10.1016/j.cj.2015.12.003
https://doi.org/10.1073/pnas.1701762114
https://doi.org/10.1073/pnas.1701762114
https://doi.org/10.1038/s41558-022-01305-9
https://doi.org/10.1038/s41558-022-01305-9
https://doi.org/10.1016/j.agsy.2021.103205
https://doi.org/10.1016/j.agsy.2021.103205

	Genetic progress battles climate variability: drivers of soybean yield gains in China from 2006 to 2020
	Abstract
	1 Introduction
	2 Materials and methods
	2.1 Data sources
	2.2 Data analysis
	2.2.1 Yield, yield components, growth periods, and climatic resources
	2.2.2 Contribution of genetic progress to historical yield gains
	2.2.3 Response of yield to temperature
	2.2.4 Sensitivity of yield to heat stress


	3 Results
	3.1 Yield and yield components
	3.2 Phenology
	3.3 Effects of genetic progress on soybean yield
	3.4 Climatic changes during the growing season
	3.5 Sensitivity of yield to temperature and heat stress

	4 Discussion
	4.1 Genetic progress contributed to yield gains over time
	4.2 Impacts of global warming and heat stress on crop productivity
	4.2.1 Global warming
	4.2.2 Heat stress

	4.3 Implications and perspectives

	5 Conclusions
	Anchor 24
	Acknowledgements 
	References


