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Abstract Consumer social interactions on a social network-
ing site have been discussed in the literature as information
sources on consumer negative voice, product market research,
and trend forecasting. The present study contributes to this
line of research by identifying insights that a retail brand can
derive from consumer social interactions about a competing
retail brand. Based on 2,573,620 consumer social interactions
related to six apparel retailers on the social networking site
Facebook, this study analyzes the fan number, brand posting
and response behavior, and consumer activities. The number
of fans correlates with retail sales and the number of stores.
However, the fan number is not an indicator of (social) dis-
pleasure. Consumer activities such as commenting, liking, and
sharing, provide significant indications of these situations. As
posting and response behavior reflect central elements of
brand strategies on social networking sites, this study pro-
poses a framework for identifying these strategies and the
positioning of competing brands. For the six apparel retail
brands, we identified a prototypical representative for three
of four social interaction strategies.

Keywords Consumer interactions .Monitoring . Social
signs . Social networking site
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Introduction

Prominent developments in the online sphere have been em-
braced by the concept of Web 2.0 (Cooke and Buckley 2008;
Lehmkuhl and Jung 2013). The social movement is a vital
aspect of this evolution, leading to a consumer-driven online
sphere (Labrecque et al. 2013). Consumers utilize various
tools to create and share online content, so-called user-gener-
ated content (Goh et al. 2013; Moe and Schweidel 2012).
Hoffman and Novak (2012) found these social media to be
characterized primarily by collaboration, community, conver-
sation, and sharing. Because of the ability to interact with
other consumers and organizations, the consumer voice be-
comes increasingly important for both consumer and manage-
ment decisions (Labrecque et al. 2013). Consumers find in-
formation provided by other consumers, such as comments
and recommendations, to be more valuable than corporate
information (Bae and Lee 2011; Bronner and de Hoog 2010;
Goh et al. 2013; Trusov et al. 2009). Thus, these consumer
interactions may increase trust in a company and consequently
increase consumption intention (Hutter et al. 2013; Ng 2013;
Phang et al. 2013) and revenue (Chevalier and Mayzlin 2006;
Moe and Trusov 2011). As consumer interactions are subject
to less control and can spread rapidly, these interactions also
pose some challenges and need to be monitored continuously
(Munnukka and Järvi 2014; Peters et al. 2013; Yadav and
Pavlou 2014). This ongoing monitoring process provides in-
sights into the need to react to consumer interactions, consum-
er opinions on offered goods and services, and potential trends
(Peters et al. 2013; Schweidel and Moe 2014). The present
study follows this line of research by analyzing consumer
social interactions from a competing retailer brand perspective
and by providing additional insights into the information po-
tential of social networking sites (Wirtz et al. 2013). From a
competing retailer brand perspective, this study contributes to
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the literature by structuring the analysis along three customer
engagement levels as well as providing an approach to iden-
tify and to relate social interaction strategies.

Social media has attracted an emerging stream of research,
addressing various types of social media, such as blogs (e.g.,
Gopinath et al. 2013; Gruhl et al. 2005), microblogs (e.g.,
Tirunillai and Tellis 2012; Zhang et al. 2011), user-generated
product rating and review websites (e.g., Chevalier and
Mayzlin 2006; Moe and Schweidel 2012; Phang et al.
2013), social shopping communities (Holsing and Schultz
2013; Olbrich and Holsing 2011), and social networking sites
(e.g., de Vries et al. 2012; Katona et al. 2011). Researchers
have also considered the combination of traditional and social
media (e.g., Onishi and Manchanda 2012; Yu et al. 2013) and
multiple types of social media (e.g., Dhar and Chang 2009;
Schweidel and Moe 2014; Stephen and Galak 2012). The
present study focuses on consumer interactions on a social
networking site and adds to the body of research by analyzing
the informational potential of such social interactions from a
competitor perspective. Social networking sites can be de-
scribed as online platforms for networks of individual and
organizational users to share and consume various types of
information. On so-called brand pages, users can, for example,
create posts and interact with these posts by commenting,
liking, and sharing (de Vries et al. 2012). However, users do
not need to interact with the information on these pages, but
can potentially do so on the entire social network site – for
example, through one’s own or any connected user’s
newsfeed (Lipsman et al. 2012). The present study draws on
the social networking site Facebook. Facebook reported 936
million daily and 1441million monthly active users in the first
quarter of 2015 (Facebook 2015). Across the purchase funnel,
Facebook and Twitter are positioned at the top of the funnel
driving awareness and interest, while in the middle of the
funnel, Pinterest is about consideration, and at the base,
Amazon, TripAdvisor, and Yelp, are about purchase intention
and driving sales (Fulgoni and Lipsman 2015).

The overall aim of this study is to reveal insights that a
retail brand can infer from consumer social interactions on a
social networking site about a competing retail brand, as well
as general and industrial trends. Across six apparel retail
brands, we use 2,573,620 consumer social interactions from
the social networking site Facebook. Specifically, this study
analyzes different social metrics across three consumer en-
gagement levels, so as to contribute to the research on social
networking sites by identifying potential insights from the
analysis of these social interaction metrics. Firstly, we analyze
the number of individuals connected to a brand page, so-called
fans. Across the study period, the number of fans increases
continuously for all six brands. Thus, if this number decreases,
a brand faces a relevant (social) problem. We also find a sig-
nificant correlation between fan numbers and brand sales.
While no causality is implied, the number of fans may indicate

the sales or brand value of a competing brand. Secondly, the
posting and response behavior of the apparel retailer is ana-
lyzed. A (social strategy) framework is presented to identify
the social strategies of the apparel retail brands, based on the
posting and response behavior. The social strategy framework
extends the existing literature and provides comparative in-
sights. Thirdly, social metrics that represent more engaged
consumers, such as commenting, liking, and sharing mes-
sages, are analyzed. Specifically, a case of negative interac-
tions is presented, indicating the ability of consumer-initiated
social interactions to reveal relevant topics and trends. The
three levels of analysis contribute to the structured analysis
of social interactions. The social strategy framework presents
a novel approach to position and relate different social
strategies.

The remainder of the paper is organized as follows. The
next section discusses related research on social networking
sites and the findings of social media research in the apparel
industry. The research framework and the research questions
are then derived, after which the data sample is accounted for
and presented. The empirical results and limitations of this
study are discussed subsequently as well as directions for fu-
ture research.

Related literature, research framework and research
questions

Overview

Social media has become subject to increasing research inter-
est. Corresponding overviews and agendas are, for example,
provided for social media brand management (Gensler et al.
2013), online social networks (Kane et al. 2014), social media
(Ngai et al. 2015), social metrics (Peters et al. 2013), and
social commerce (Yadav et al. 2013). For social networking
sites, researchers have focused on modeling (online) social
networks (Ansari et al. 2011; Chatterjee 2011; Katona et al.
2011; Trusov et al. 2010; Xu et al. 2012a and 2012b), the
privacy of social networking sites (Gan and Jenkins 2015;
Jeong and Coyle 2014; Külcü and Henkoglu 2014; Li et al.
2015; Narayanaswamy and McGrath 2014; Min and Kim
2015; Nosko et al. 2010; Patsakis et al. 2014; Stutzman
et al. 2012; Tucker 2014), and the opportunities and risks
associated with social networking sites (Champoux et al.
2012; Corstjens and Umblijs 2012; Dekay 2012; Gomez-
Arias and Genin 2009; Hansson et al. 2013; Munnukka and
Järvi 2014). Before the research framework and the research
questions are introduced, related literature on the drivers of
consumer interaction, the informational value of social net-
working sites, and research on social media in the apparel
industry, is presented.
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Drivers of consumer interaction

Consumer interactions are considered to be an easily per-
ceived response metric. For that reason, the literature analyzes
drivers of consumer interactions on social networking sites
(Chatterjee 2011; de Vries et al. 2012; Kabadayi and Price
2014). For actual data from eleven brand pages, de Vries
et al. (2012) identify different drivers with regard to the num-
ber of likes and comments. Vivid and interactive posts, as well
as the share of positive comments, influence the number of
likes. The number of comments is, by comparison, affected by
interactive brand posts, such as a question, and the share of
posi t ive and negat ive comments . Based on 269
questionnaires, Kabadayi and Price (2014) found that com-
ment and liking behavior differs for consumers who either
prefer a one-to-many (‘broadcaster’) or a one-to-one (‘com-
municator’) interaction. The preference is affected by different
personality traits. Correspondingly, users who contributemore
actively on social networking sites exhibit different informa-
tion and purchase behavior to that of more passive users (Liao
et al. 2014). Considering consumer-generated versus brand-
generated posts, the results of a clickstream study of 2173
consumers of a social networking site suggest that
consumer-generated brand posts are more likely to be recom-
mended, but are not more likely to generate referrals for high-
involvement products (Chatterjee 2011). This finding under-
lines the multiplier effect of social networks (Lipsman et al.
2012). Based on these findings on the drivers of consumer
interactions on social networking sites, the present study fo-
cuses on the following question: What information do these
consumer interactions provide, especially from a competitive
perspective? The study explores this question by relating var-
ious measures of consumer interactions to retailer characteris-
tics (sales and store number), brand social strategies, and a
specific brand incident.

Informational value of social networking sites

Another related stream of research focuses on social network-
ing sites as a potential data source. Using a matching system
across the social network structure, the relationships in social
networking sites have been proposed as enabling new busi-
ness contacts (Kazienko et al. 2013). The social connections
have also been considered in terms of predicting a consumer’s
perceived appropriateness of the online channel for buying
products and services (Verbraken et al. 2014). Social network
predictions perform well when the products or services are
rarely bought or reserved online. Social network data has been
shown to be useful for selecting groups with a relatively high
propensity to click on advertisements, register for recreational
leagues, andmake retail purchases (Goel and Goldstein 2013).
The authors found that such data complement demographic
and behavioral predictors. However, if transactional data is

available, social network data is found to provide almost no
marginal benefit (Goel and Goldstein 2013). Predicting stock
prices is another use of data from social networking sites
(Schweidel and Moe 2014). However, Schweidel and Moe
(2014) find that sentiment may differ across various types of
social media. This study is closely related to this stream of
literature, as the focus is on the informational value of social
interactions for managerial decisions. In order to extend the
current state of research, the study adopts a comparative per-
spective for consumer social interactions with six apparel re-
tail brands. Specifically, we analyze whether social interac-
tions relate to brand sales, and whether these interactions sig-
nal social strategies and specific trends.

Social media in the apparel industry

Previous research has addressed social media in the apparel
industry. In an undergraduate sample, young consumers are
found to engage in word of mouth activities, based on brand
excitement, brand image, and brand love (Ismail and Spinelli
2012). For a social shopping community that focuses on fash-
ion, living, and lifestyle, researchers identified the effect of
direct shopping features, such as filter and search mecha-
nisms, and consumer social interactions, such as lists, profiles,
styles, and tags, on conversions (Olbrich and Holsing 2011)
and micro-conversions (Holsing and Schultz 2013). Using an
experimental Facebook shop for accessories and clothing,
trust in the social networking site is found to play a mediating
role in the relationship between social interactions and pur-
chase intentions (Ng 2013). From an industry perspective, the
present study is most closely related to Park and Cho (2012)
and Goh et al. (2013). Based on 186 questionnaires from a
sample of female college students, Park and Cho (2012) study
how social networking sites affect consumer information
seeking behavior in the context of apparel. The authors find
that commitment is determined by factors reflecting con-
sumers’ psychological attachment to the online community.
Commitment then positively relates to the information seek-
ing behavior, potentially moderated by social pressure to con-
form to the peer group’s expectations. Goh et al. (2013) com-
pare the effect of user-generated and marketer-generated con-
tent in the case of a brand page of a casual wear apparel
retailer. The authors find that general activity in brand pages
increases sales. In their study, the marginal effect of consumer-
generated content is about 22 times higher than the effect of
marketer-generated content. For driving sales, undirected
messages are found to be more effective than directed ones
for informative and persuasive consumer-generated content,
whereas directed messages are more effective than undirected
ones for persuasive marketer-generated content (Goh et al.
2013). The present study uses actual consumer social interac-
tions to identify insights that can be inferred from this behav-
ior. Specifically, consumer interactions on a social networking
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site are analyzed from an individual apparel retail brand per-
spective and from a comparative perspective. High consumer
engagement with fashion and lifestyle, and the corresponding-
ly high likelihood of consumer social interactions for apparel
retail brands on a social networking site, provide ideal condi-
tions for studying the insights consumer interactions give into
a brand’s market development, social strategy, and specific
trends.

Research framework

This study draws on customer engagement theory as a re-
search framework. Based on relationship marketing theory
and the service-dominant logic, and considering conceptuali-
zations in various fields of research, customer engagement has
been defined as Ba psychological state that occurs by virtue of
interactive, cocreative customer experience with a focal agent/
object (e.g., a brand) in focal service relationships. It occurs
under a specific set of context-dependent conditions generat-
ing differing CE [=customer engagement] levels; and exists as
a dynamic, iterative process within service relationships that
cocreate value.…^ (Brodie et al. 2011, p. 260). In particular,
the present study acknowledges that customer engagement is
situation-specific and may result in different levels (Brodie
et al. 2011; Sashi 2012; Tsai and Men 2013). The research
framework follows these findings as a sequence for analyzing
social interaction measures at the levels of first creating a
relationship, secondly consuming content, and thirdly contrib-
uting content (Sashi 2012; Tsai and Men 2013). Before ex-
tending these levels and the corresponding measures, this
study is related to previous research studying customer en-
gagement in the domain of social media (Bitter et al. 2014;
Brodie et al. 2013; Cheung et al. 2012; Dessart et al. 2015;
Gummerus et al. 2012; Hollebeek et al. 2014; Kabadayi and
Price 2014; Sashi 2012; Tsai and Men 2013; Wirtz et al.
2013).

A recent theoretical framework proposes that consumer
engagement in an online brand community, such as brand
pages on a social networking site, leads to community and
brand commitment, satisfaction and loyalty (Wirtz et al.
2013). Further, Wirtz et al. (2013) point out that consumer
engagement leads to consumer interactions with the online
brand community and thus become a source of consumer data
and market research. Beyond idea generation for products and
services, this present study argues that consumer interactions,
as a result of consumer engagement, provide additional brand-
relevant insights – also from a competitive perspective. Recent
findings support the propositions of the theoretical framework
(Brodie et al. 2013; Cheung et al. 2012; Dessart et al. 2015;
Gummerus et al. 2012). Gummerus et al. (2012). for example,
find that engagement leads to consumer loyalty and satisfac-
tionmediated by economic, entertainment, and social benefits,
in the case of a game brand on Facebook. Furthermore,

consumer engagement on a social networking site increases
brand commitment and consequently recommendation and
purchase intention (Cheung et al. 2012). Similarly, in a
health and fitness setting, Brodie et al. (2013) find engaged
consumers to exhibit consumer loyalty, satisfaction, empow-
erment, connection, trust, and commitment. Whereas these
studies draw on questionnaires (Cheung et al. 2012;
Gummerus et al. 2012) and interviews (Brodie et al. 2013;
Dessart et al. 2015) to identify brand and consumer outcomes
of consumer engagement, this study uses measures of actual
consumer behavior and analyzes their applicability for market
research. As some researchers suggest, the implication of con-
sumer engagement may not only represent (individual) sales
value, but also that engaged consumers create value as co-
creators in business processes, such as for market research,
product development, and selling process (Barnes 2014;
Kabadayi and Price 2014; Sashi 2012). The present study
contributes to this line of research by relating social interac-
tions to brand sales, social strategies, and specific trends.

Our study analyzes different engagement levels of consum-
er interactions on social networking sites. We thus extend
upon the customer engagement matrix (Sashi 2012) by ana-
lyzing potential insights from three engagement levels of con-
sumers with high emotional bonds and high relational ex-
change (‘fans’). The corresponding social interaction metrics
have already been used to identify highly engaged users on
social networking sites (Dessart et al. 2015; Gummerus et al.
2012). The present study further extends this line of research
and explores potential insights gained from these metrics from
a comparative perspective. For the first engagement level, this
study considers the fan number. Fans are the individuals who
actively like a specific page of a brand, company, organiza-
tion, or public figure in a social networking site (Champoux
et al. 2012; Lipsman et al. 2012; Naylor et al. 2012).
Consumers thus actively create a relationship with one specific
page. Post and user posts are analyzed as a second level. Posts
are messages by a page representative, that are shown on the
specific page and in fans’ newsfeed; user posts are generally
written by consumers on the specific page (Chatterjee 2011; de
Vries et al. 2012; Dekay 2012; Goh et al. 2013). This study
centers particularly on the posting and response behavior at this
level. The latter is characterized by whether and how fast a
brand representative replies to a user post. Thus, the analysis
concentrates on the behavior of a retail brand on this level. On a
third level, the number of comments, likes, and shares measure
the engagement with posts and user posts (de Vries et al. 2012;
Dekay 2012; Kabadayi and Price 2014). The analysis on this
level primarily focuses on consumer-initiated social interac-
tions referring to user posts, likes, comments, and shares.
Table 1 summarizes these social interaction metrics and Fig. 1
displays the research framework.

Even though the three levels suggest an increase in con-
sumer engagement, it is important to note that the research
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framework and the analysis in this study is first based on the
sequence and then on the degree of these activities. For exam-
ple, consumer activities on the third level refer to varying
degrees of consumer engagement on the social networking
site (Tsai and Men 2013). In general, these different engage-
ment levels follow traditional user differences in activity –
from consuming to contributing – and have been demonstrat-
ed for engaged consumers on social networking sites (Tsai and
Men 2013). These levels thus follow different stages of the
customer engagement cycle, from connection via consump-
tion and interaction to commitment, advocacy, and engage-
ment (Sashi 2012). The classification of user posts and com-
ments may be ambiguous, depending on their content.

Research questions

Creating a relationship: fan number

Consumer engagement on a social networking site begins by
establishing a connection between oneself and a brand page
(Champoux et al. 2012; Lipsman et al. 2012; Naylor et al.
2012). This study focuses on market insights, such as devel-
opment, sales and size, potentially derived from the number of
such relationships on a social networking site.

Fans are individuals who consciously decide, by liking a
brand page, to follow a brand on a social networking site (e.g.,
Naylor et al. 2012). In this manner, fans are a measure of

potential reach. More importantly, in the consumer-driven on-
line sphere, fans are intermediaries for reaching the second-
order fans – the friends of fans (Lipsman et al. 2012).
Managers need to leverage the ability to influence friends of
fans, increase their depth of engagement and loyalty, and gen-
erate purchase behavior (Barnes 2014; Lipsman et al. 2012;
Naylor et al. 2012). To utilize the potential of a brand’s fan
base, managers have to identify the influential individuals on a
social networking site (Chatterjee 2011; Trusov et al. 2010;
Xu et al. 2012a and 2012b). However, influential individuals
are not easily identified by the number of their connections
(Katona et al. 2011; Trusov et al. 2010). Previous research
suggests that consumer interactions on a social networking
site lead to recommendations and purchase intentions
(Cheung et al. 2012; Hutter et al. 2013; Ng 2013; Phang
et al. 2013) and predict other business measures, such as retail
purchases (Goel and Goldstein 2013; Goh et al. 2013) and
stock prices (Schweidel and Moe 2014). The present study
extends this research stream and investigates whether the
number of fans provides insights into market developments,
such as a brand expansion strategy.

RQ 1: Does the fan number provide insights into market
developments?

Furthermore, the study extends on the notion that consumer
social interactions lead to recommendations and purchase in-
tentions (Cheung et al. 2012; Hutter et al. 2013; Ng 2013;
Phang et al. 2013) and predict retail purchases (Goel and
Goldstein 2013). In a study of female apparel purchasing be-
havior in Germany, Cao et al. found (2014) that roughly every
third purchaser becomes a fan of the brand.We use correlation
analysis to study whether the number of fans on a social net-
working site correlates with sales and store numbers.

RQ 2: Does the number of fans relate to the sales revenue?
RQ 3: Does the number of fans relate to the number of

stores?

Brand activities: posting and response behavior

The consumption of brand messages constitutes another level
of consumer engagement. As pointed out above, this study
concentrates on brand activities at this level. By analyzing
these brand activities, can we gain insights about the social
strategies of a brand from an external perspective?

Of the Fortune 500, 348 companies,70 %, are on Facebook
(Barnes 2014). The ability to directly engage consumers via
brand messages (posts) is mentioned as one beneficial aspect
of social networking sites (de Vries et al. 2012; Gomez-Arias
and Genin 2009; Lipsman et al. 2012). In general, brand posts
are less likely to be recommended, but are not less likely to
generate referrals for high-involvement products than
consumer-generated posts (Chatterjee 2011). Goh et al.
(2013) find that brand posts primarily influence purchase be-
havior through persuasive communication. Furthermore, in

Table 1 Description of social interaction metrics

Metric Description

fans total number of individuals who like a page of, for example,
a certain brand, company, organization, or public figure

posts number of messages by page representatives

user posts number of messages by non-page representatives

likes number of likes

comments number of comments received on any number of posts

shares number of actions to share a post

likes
comments

shares

posts
user posts

fans

consumer engagement

1st level

creating a 
relationship

2nd level

brand 
activities

3rd level

consumer 
activities

social interaction measures

Fig. 1 Research framework

Insights from consumer interactions on a social networking site 207



the case of persuasive communication, directed brand posts
are found to be more effective than undirected ones. In a study
of 355 posts of 11 international brands on a social networking
site, vivid and interactive brand posts positively affect the
number of likes, and interactive characteristics, such as a ques-
tion, increase the number of comments (de Vries et al. 2012).

As companies have less control of consumer interactions,
negative interactions pose serious risks to companies
(Champoux et al. 2012; Corstjens and Umblijs 2012; Dekay
2012). Nonetheless, some evidence exists that negative inter-
actions also have positive effects (Berger et al. 2010). One
potential managerial strategy for reducing the dangers of so-
cial networking sites is formulated as acting quickly, manag-
ing the dialogue, taking responsibility, solving the problem, or
directing the problem to a different channel (Champoux et al.
2012). Thus, the response behavior assumes an important role
in countering the potential negative effects of social network-
ing sites. However, in a study of 40 brand pages, fewer than a
quarter respond to negative consumer posts and nearly half of
the companies are found to delete unfavorable comments
(Dekay 2012). However, deleting negative comments has
been found to further harm a brand if consumers become
aware of this (Champoux et al. 2012).

Hence, posting and response behavior reflect central ele-
ments of brand strategies on social networking sites. This
study proposes a framework for inferring different approaches
by utilizing these two behavioral characteristics. The aim is to
derive the approach to the social networking site adopted by
different brands. In this way, this framework is inspired by
traditional product and market positioning (Kotler and
Armstrong 2014). The focus in this study is on analyzing
whether social interactions provide information that is useful
for deriving such brand approaches. Specifically, this study
draws on the average number of brand posts per day,
representing posting behavior as one dimension. The second
dimension, the response behavior, is measured by the re-
sponse rate, calculated as the number of user posts that include
a comment by the retail brand, related to the total number of
user posts. Thus, the response rate is [0;1]. Naturally, there are
no clear values for differentiating between the resulting strat-
egies. For this explorative study, an average post per day of 1
and a response rate of 0.5 are chosen to differentiate the
resulting four different social interaction strategies. This study
concentrates on two behavioral dimensions that are in accor-
dance with the dominant strategic discussion on brand man-
agement (e.g., Gensler et al. 2013; Goh et al. 2013) and neg-
ative consumer interactions (e.g., Champoux et al. 2012;
Corstjens and Umblijs 2012; Dekay 2012) in the literature.
These measures are expected to reflect the importance of
and investment by a brand in its social interaction strategy.

The four social interaction strategies are the low-interaction
strategy, posting strategy, response strategy, and high-
interaction strategy. A low number of posts and a low response

rate characterize a low-interaction strategy. A brand that fo-
cuses on the number of brand posts, but rarely responds to user
posts follows a posting strategy. A response strategy, by con-
trast, is centered on a high-response rate and few brand posts.
A high number of posts and a high response rate finally char-
acterize a high-interaction strategy. This study explores the
applicability and use of this social interaction strategy
framework.

RQ 4: Does posting and response behavior provide insights
into social media strategies?

Consumer activities: consumer-initiated social interactions

Consumer activities, such as liking, commenting, and sharing,
spread content through an indivual’s online social network
(Chatterjee 2011; Lipsman et al. 2012; Trusov et al. 2010).
If these consumer activities follow trend movements,
consumer-initiated social interactions may predict such trends.

Consumers can engage brands on a social networking sites
by posting directly to the site (Chatterjee 2011; de Vries et al.
2012; Dekay 2012; Goh et al. 2013) or interact with brand and
user posts by commenting, liking, and sharing (de Vries et al.
2012; Dekay 2012; Kabadayi and Price 2014). As negative
interactions are a considerable concern of brands using social
networking sites (Champoux et al. 2012; Corstjens and
Umblijs 2012; Dekay 2012). this study is specifically interest-
ed in whether consumer-initiated social interactions provide
information on such negative interactions, addressing the
question of when to and when not to react to consumer-
initiated social interactions.

RQ 5: Do consumer-initiated social interactions provide
insights into specific trends?

Methodology

Data sample

The present study is based on six apparel retail brands. The
apparel retail industry is chosen in line with previous research,
because both the brands and the consumers are highly en-
gaged and exhibit a high likelihood of social interaction
(Cao et al. 2014; Goh et al. 2013; Olbrich and Holsing 2011;
Park and Cho 2012). The six apparel retail brands are C&A,
Ernsting’s family, Esprit, H&M, Primark, and Zara. All six
brands are present on the social networking site, have retail
outlets, and are established brands. The six apparel retail
brands represent a spread of various retail sizes. Esprit,
H&M, and Zara are global represented brands; C&A and
Primark are located primarily in Europe, and Ernsting’s family
is a retailer represented in Austria and Germany. In addition,
Primark presents a retail brand with an aggressive expansion
strategy in recent years. Thus, the changes in social metrics
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provide a comparable case across different retailer sizes.
Facebook was chosen as a social networking site, being a
global and leading networking site including all six studied
retailer brands. Facebook reports 1441 million monthly active
users for the first quarter of 2015 and a revenue of $12,466
million for 2014 (Facebook 2015).

Data collection and data overview

For the six apparel retail brands, all user social interactions on
the social networking site Facebook were recorded from April
14th, 2014 to May 31st, 2014. In accordance with the research
framework, we recorded the number of fans, posts, user posts,
comments, likes, and shares from the global pages of these
retail brands as metrics for social interaction. A software tool
extracted the activities on the global pages. On a daily basis, the
total number of fans and changes in the number of posts, com-
ments, likes and shares are registered. Additionally, all user
posts to the six brand pages were retrieved at the end of the
study period, including the total number of comments, likes,
and shares of these user posts. The user post data also includes
the creation date, whether a brand representative commented on
a user post, and if applicable, the response time in seconds.

The six apparel retail brands account for a growth of 1,882,
518 fans, 414 posts, 3035 user posts, 12,241 comments, 664,
012 likes, and 11,400 shares over the study period of 48 days.
Descriptive data for these social metrics is presented in
Table 2, which contains aggregated values for fan growth,
posts, user posts, comments, likes, and shares and averaged
values for fans. We also collected sales data and the number of
stores for the six retail brands from financial reports (Esprit
2013; H&M 2013; Primark 2013; Zara 2013) and press re-
leases (C&A 2012; Ernsting’s family 2013).1 For example, in
the fiscal year 2012/2013, 1717 stores yielded €814 m in sales
for Ernsting’s family. The average fan numbers on Facebook
was 157,035 over the 48-day study period, a growth in fan
number of 7042. 64 Ernsting’s family posts received 3499
comments, 5397 likes, and 549 shares. The number of com-
paratively high comments and likes is primarily attributed to
two sweepstakes on April, 17th and May, 28th.

One point worth noting is that the brand with the most fans
(Zara, 21 m fans) is the least active, measured by brand posts
(11), over the study period. In comparison, the smallest retail-
er, measured by sales (Ernsting’ family, €814 m) and fan
number (157, 035), yielded the third most posts (64). The
brand retailer with the highest sales (H&M, €16,840 m)
seemed overall the most active on the social networking site..

For the social interaction metrics, the mean, standard devi-
ation, minimum, andmaximum value are presented in Table 3.
For example, for the C&A brand, we registered a daily

average of 0.92 posts by C&A representatives over the study
period and the standard deviation was 0.58. Over the 48 days,
C&A representatives posted a minimum of 0 messages and a
maximum of 2 messages per day. Data on comments, likes,
and shares refer to the corresponding brand posts per day and
per brand.

Results

Analysis of fan numbers

Addressing RQ 1, fan development is displayed in Fig. 2 for
the six apparel retail brands. For comparative purposes, Fig. 2
displays the percental change according to the index value at
April 13th, 2014.

Over the seven-week time frame, Primark registered the
highest growth in fan percentages (8.79 %). The average of
the indexed percentage fan increase is 0.1831 and almost lin-
ear (β ≈ 0.1768 %; ɛ = 0; R2 = 0.998; p < 0.01). This devel-
opment reflects the recent market expansion by Primark.
Figure 2 also displays a constant period of comparatively
low fan growth for Esprit from April 22nd to April 29th
(β ≈ 0.0465 %; ɛ = 0; R2 = 0.988; p < 0.01). No decrease in
fan numbers was registered over the time period studied.
Consumers rarely bother to ‘unlike’ a certain brand.
Consequently, a decrease in the number of fans is a strong
signal that a brand is facing some challenges. As reported in
previous research, consumers however engage directly with
the brand by commenting negatively (Champoux et al. 2012;
Dekay 2012), even rapidly in a 24 h time frame on a weekend
(Hoffman and Fodor 2010). Thus, the number of fans is a
strong signal, but not an indicator of negative sentiment. In a
later section, a negative incident is presented for the brand
Zara. However, the fan number for the brand Zara shows no
significant change around April 22nd – the day of the news
article. In contrast, Zara’s fan number follows a constant linear
trend (β ≈ 0.0592%; ɛ = 0; R2 = 0.999; p < 0.01). Overall, the
fan number does not indicate a single local incident (Australia)
for the global brand Zara, but the fan number reflects the
expansion strategy of Primark. Thus, fan numbers provide
some insights into market developments (RQ 1).

Further, the fan number is analyzed according to the sales
volume (RQ 2) and the store number (RQ 3). Based on the six
apparel retail brands, the Pearson product-moment correlation
coefficient was calculated. The correlation coefficient for total
number of fans and retail sales is 0.893, p = 0.017 and −0.194,
p = 0.712 for the total number of fans and number of stores. If
the number of stores accounts for the different distribution
strategies of Esprit, by only considering the 1024 owned
Esprit stores, the correlation coefficient is 0.711, p = 0.113,
highly correlated with retail sales 0.727, p = 0.102. The num-
ber of fans positively relates to retail sales. From a comparative

1 The fiscal year varies for all six companies. Sales are gross, except for
Ernsting’s family and Zara who released net sales data.
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perspective, the ratio of fan number and retail sales provides a
simple measure for socially comparing a brand. The results

provide some support for RQ 2. The adjusted correlation be-
tween fans and store number was 0.711, but not significant (RQ

Table 2 Overview of retail and social metrics (April 14th, 2014 to May 31st, 2014)

Retail Metric Social Metric

Brand sales (m €)a stores fans (avg) fan growth posts user posts comments likes shares

C&Ab 6802 1537 5,255,036 339,690 44 56 160 6187 310

Ernsting’s family 814 1717 157,035 7042 64 48 3499 5397 549

Espritc 2549 10,272 1,191,572 23,366 34 30 289 16,948 582

H&M 16,840 3132 18,687,368 695,335 193 1722 3699 504,716 7094

Primark 5101 257 2,674,738 225,470 68 465 3811 74,740 1907

Zara 10,804 1991 21,148,857 591,615 11 714 783 56,024 958

All social metrics are aggregated over the study period; the total fan number is averaged over the 48 days
a The exchange rate for Esprit, H&M, and Primark are 1 HKD = 0.098 EUR (June 30th, 2013), 1 SEK = 0.112 EUR (November 30th, 2013), and 1
GBP = 1.194 EUR (September 14th, 2013) respectively, as of the last day of the fiscal year
b The press release by C&A (2012) refers to sales and store data for C&A Europe for the fiscal year 2011/2012
c Esprit (2013) reports data on retail and wholesale accounting for 1509 and 990million euro respectively. The number of Esprit stores accounts for 1024
own stores, 1706 franchise stores, 4407 shop-in-shop, and 3135 instore corners

Table 3 Descriptive data on social interaction metrics (April 14th, 2014 to May 31st, 2014)

Social Metric

Brand fans fan growth posts user posts comments Likes shares

C&A x 5,255,036 7077 0.92 1.17 3.33 128.90 6.46

s 109,817.42 2439.11 0.58 1.19 7.78 115.90 16.95

min 5,089,233 2116 0 0 0 0 0

max 5,426,106 12,052 2 5 54 551 108

Ernsting’s family x 157,035 147 1.33 1.00 72.90 112.44 11.44

s 1842.59 87.43 1.28 1.09 312.42 224.65 35.01

min 154,229 49 0 0 0 0 0

max 161,156 451 5 4 1591 1315 181

Esprit x 1,191,571 486 0.71 0.92 6.02 353.08 12.13

s 6589.49 200.89 0.58 0.79 8.70 344.64 12.87

min 1,178,471 204 0 0 0 0 0

max 1,200,880 995 2 3 40 1219 43

H&M x 18,687,368 14,486 4.02 35.88 77.06 10,514.92 147.80

s 211,760.01 5766.90 5.29 8.99 74.65 10,370.97 138.69

min 18,392,569 8173 0 21 0 0 0

max 19,078,157 32,629 24 56 326 43,793 588

Primark x 2,674,738 4697 1.42 9.69 79.40 1557.08 39.73

s 67,885.77 937.24 0.54 4.39 137.21 1768.22 44.60

min 2,569,261 3171 0 3 0 0 0

max 2,791,462 6879 2 20 831 6403 144

Zara x 21,148,857 12,325 0.23 14.88 16.31 1167.17 19.96

s 181,524.28 2725.57 0.52 8.03 39.39 2685.54 46.88

min 20,857,766 6129 0 4 0 0 0

max 21,443,252 18,450 2 56 152 10,432 198

Mean and standard deviation are calculated over the study period on daily data

Minimum and maximum values also refer to daily data
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3). Even considering the small sample, retail space may be a
better indicator of a brand’s sales activities. Retail space data
was however not available for all six brands, so that future
studies could extend usefully these results.

Analysis of social networking site strategies

According to the apparel retail brands and per day of the week,
Table 4 provides an overview of the average posting behavior
and Table 5 displays the response behavior. To calculate the
response behavior, the number of user posts that include a
comment by a the retail brand was related to the total number
of user posts on the brand page. The time difference was
measured in seconds until the first brand response. Table 5
displays the time difference in hours.

The posting behavior across all six apparel retail brands
concentrates on the middle of the week, Tuesday till Friday,
so that weekends record fewer brand posts overall. However,

the apparel brands vary in their posting behavior. The posting
strategy on weekdays is adopted by Ernsting’s family, H&M,
and Zara. C&A and Primark, by contrast, increase on average,
the posting behavior towards the weekend. The posting be-
havior of Esprit appears to be mixed, combining the middle
days of the week and Saturdays for postings. An extended
observation period is needed to clarify this approach, again,
something future studies can build on.

Social strategies also differ with regard to the volume of
brand posts. H&M provides on average the most brand posts
during the time period studied. H&M adopts a strategy of
posting multiple pictures relating to the post theme, thus
avoiding potential information overload of the audience. The
posting behavior of Primark can be described as being present
and maintaining a certain level of social activity. In a less
extensive manner, this behavior is also adopted by C&A,
Ernsting’s family, and Esprit. By contrast, the posting behav-
ior by Zara indicates that the brand is not engaged in the social
networking site.

This evidence is supported by the company response be-
havior. Zara responds to 6 % of all user posts and takes about
15 h to respond. Similarly, Primark only comments on one of
465 user posts over the study period. This contrasts with post-
ing behavior aimed at being socially present. C&A, Esprit,
and H&M follow a more selective approach to responding
to user posts. Besides the timing effect of weekends, the
smallest retail brand of Ernsting’s family displays the most
engaged social behavior strategy, indicated by posting and
response behavior. The comparatively high number of com-
ments is based on two sweepstakes on April 18th (1591 com-
ments) and May 28th (1515 comments). The brand is also the
fastest to respond to any user posts, although, still taking about
12 h on average.
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Fig. 2 Fan development

Table 4 Average posts per day and per apparel retail brand (April 14th,
2014 to May 31st, 2014)

Day C&A Ernsting’s family Esprit H&M Primark Zara Σ

Mon 0.86 2.00 0.43 1.86 1.29 0.43 6.86

Tue 0.86 1.14 0.86 4.86 1.29 0.57 9.57

Wed 0.71 1.86 0.86 9.43 1.29 0.14 14.29

Thu 0.57 1.57 1.14 7.29 1.43 0.00 12.00

Fri 1.29 2.14 0.43 3.86 1.71 0.43 9.86

Sat 1.00 0.14 0.86 0.29 1.71 0.00 4.00

Sun 1.17 0.33 0.33 0.00 1.17 0.00 3.00

Σ 0.92 1.33 0.71 4.02 1.42 0.23 8.63
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The range for responding to user posts extends from half a
day to more than a day, in the cases of C&A, Esprit, and
H&M. Overall, this finding indicates that all six apparel re-
tailers rely partly on the capabilities of the social networking
site and thus its fan base, to respond to some user posts. All
3035 user posts accounted for 2568 comments, 799 from
brand responses and 1769 from users.

In accordance with the social interaction framework, the
six apparel retail brands are displayed in Fig. 3. On the x-axis,

the average posts per day represent the posting behavior of the
apparel retail brands. For presentation purposes, the x-axis is
in logarithmic scale, so as to reflect the high posting value by
H&M. The average response rate by brand per day reflects the
response behavior on the y-axis. For the six apparel retail
brands, we identified a prototypical representative for three
of four social interaction strategies: low-interaction strategy,
posting strategy, and high-interaction strategy. As the critical
values are selected arbitrarily, the retail brands C&A and

Table 5 Average user posts,
response rate and response time
per weekday and per apparel retail
brand (April 14th, 2014 to
May 31st, 2014)

Brand Metric Mon Tue Wed Thu Fri Sat Sun wAVG*

C&A user posts 1.00 1.29 1.29 0.57 0.71 2.00 1.33 1.17

resp. Rate 0.29 0.11 0.33 0.50 0.60 0.07 0.38 0.27

resp. Time 51.17 19.07 39.25 7.35 21.30 39.86 13.16 26.47

Ernsting’s family user posts 1.57 0.57 1.29 0.86 1.29 1.00 0.33 1.00

resp. Rate 0.73 0.75 0.89 0.83 1.00 0.57 - 0.77

resp. Time 4.30 8.75 12.54 8.80 9.97 38.96 - 12.18

Esprit user posts 0.57 0.86 0.14 0.29 0.71 0.43 0.33 0.48

resp. Rate 0.50 0.67 - 1.00 0.20 0.67 - 0.48

resp. Time 7.32 14.19 - 48.51 60.68 40.66 - 28.22

H&M user posts 36.86 40.71 40.14 42.43 34.14 27.00 28.83 35.88

resp. Rate 0.38 0.44 0.38 0.41 0.39 0.41 0.43 0.40

resp. Time 7.44 14.10 10.02 12.03 21.86 18.79 7.43 13.03

Primark user posts 8.71 9.43 12.14 7.71 9.29 9.43 11.33 9.69

resp. Rate - - - 0.02 - - - 0.00

resp. Time - - - 17.73 - - - 17.73

Zara user posts 15.00 21.57 15.00 12.86 16.57 13.71 8.50 14.88

resp. Rate 0.10 0.11 0.07 0.01 0.01 0.02 0.06 0.06

resp. Time 16.77 5.57 2.21 0.40 81.83 57.48 46.63 15.00

*wAVG: weighted average
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Esprit could thus be attributed to different strategies. Across
the seven-week study period.

The smallest apparel retail brand of Ernsting’s family
showed a comparatively constant posting behavior (except for
weekends) and strong engagement through responding to user
posts. Primark clearly represents an extreme case of the posting
strategy. Based on the comparative change in the fan base (see
Fig. 2), this strategy is successful according to this measure.
Another reason to follow this strategy may be that brand posts
from the company override user posts by attracting more con-
sumer attention, which in turn leads to more consumer interac-
tions. During the time period studied, the retailer Zara is repre-
sentative of a low-interaction strategy, with relatively few posts
and a low response rate. Potential dangers of such a social
interaction strategy are discussed in the next section.

For the six apparel retail brands, Ernsting’s family,
Primark, and Zara are prototypical representatives of a low-
interaction strategy, posting strategy, and high-interaction
strategy respectively. The two behavioral dimensions natural-
ly reflect part of the investment by a brand in its social inter-
action strategy. However, similar to traditional product and
market positioning (Kotler and Armstrong 2014), brands need
to integrate a value perspective when applying the framework.
To facilitate the integration of a value perspective, research
must further clarify the value-creation process of social media
and social activities. Researchers generally attribute value to
social media by directly creating purchase intention and pur-
chase behavior (Hutter et al. 2013; Moe and Trusov 2011;
Phang et al. 2013) and indirectly by consumer co-creation,
brand effects, and market research (Barnes 2014; Kabadayi
and Price 2014; Wirtz et al. 2013). However, the total contri-
bution and return on investment of different approaches to
social media needs further assessment.

Analysis of consumer-initiated social interactions

On April 22nd, the number of user posts showed a significant
increase on the retailer brand page of Zara (t = −35.01;
p < 0.01). A total of 56 user posts were recorded, in contrast
to an average of just below 15 posts per day. Of 56 user posts,
45 refer to a potential trademark infringement by a small com-
pany named Zarabumba. The owner of Zarabumba, Ms. Neda
Luketic, has consequently acknowledged her intention to re-
name her business (Belot 2014). For the seven-week time
period, this incident accounts for 829 of 1342 (62 %) likes
and 213 of 560 (38%) comments for April 22nd. In contrast to
its average response behavior, Zara responded in 11 cases
(24 %) with an average response time of 6 h – compared to
an overall 0.06 response rate and 15 h overall average re-
sponse time (see Table 5). Negative user posts and comments
continued for days, but subsided in the following weeks.

In the case of Zarabumba, the three social interactions, user
posts and the corresponding number of likes and comments,

signal a significant deviation. Consumers used the social net-
working site to express their (negative) opinion on the topic.
In the case of a retail brand that is characterized by low social
interactivity, such an incident can spread throughout the
brand’s network – thus potentially reaching over 20 million
Zara fans worldwide. Whereas social interactions on brand
posts can provide valuable information on controllable as-
pects, consumer-initiated social interactions can represent in-
formation on topics that affect a brand’s target group.
Moreover, by interacting with the brand page, consumers be-
come involved and activated, indicating the relevance of the
topic in question. Thus, consumer-initiated social interactions
are not only an indicator of consumer displeasure, but also
provide insights for market researchers into important topics
that affect a brand’s target group.

Discussion

The number of fans is a multiplier of potential reach – and thus
the effect – of a brand’s social media strategy. The fan number
correspondingly has been described as leveraging the ability
to influence friends of fans, increasing their depth of engage-
ment and loyalty, and generating purchase behavior (Barnes
2014; Lipsman et al. 2012). The fan number is not the most
suitable metric for identifying potential (social media) prob-
lems, as demonstrated by the continuous increase in Zara’s
number of fans. If companies record a fan decrease, then the
company faces a serious (social) threat. As demonstrated, oth-
er consumer social interactions more effectively determine
whether social media managers need to react. Besides its im-
portance for leveraging the social media strategy, the fan num-
ber potentially provides insights into sales or brand value. A
potential explanation may be that as the usage of social net-
working sites spreads, social interactions represent the behav-
ior of the target groups and thus reflect purchasing behavior or
perceived brand value.

The posting and response behavior of brand pages provides
insights into social interaction strategies. Posting and response
behavior is reflected by the average number of posts per day
and the average response rate per day, respectively. Based on
these two values, we constructed a framework for comparing
different social interaction approaches. For the six apparel
retail brands, we identified a prototypical representative for
three of four social interaction strategies across the seven-
week study period. These three strategies are labeled the
low-interaction strategy, the posting strategy, and the high-
interaction strategy. No brand adopted a prototypical response
strategy focused primarily on responding to user posts. This
systematization provides comparative insights for companies,
beyond classical interaction measures, such as post engage-
ment and ‘people talk about this (ptat)’, identifying the social
interaction strategy of competing brands and the
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corresponding positioning. Whereas the social interaction
framework provides insights into the strategies employed by
companies on the social networking site, the framework does
not reflect any direct normative instructions, besides a com-
parison with competing brands. Researchers and managers
alike need to add a value perspective to the strategic decision
process, thus extending the proposed framework.

The value of consumer social interactions is illustrated fur-
ther by the case of Zarabumba. For three measures, user posts
and corresponding comments and likes, the brand page regis-
tered a significant increase. Thus, managers should incorporate
social media measures into their monitoring process to identify
trends. In cases of negative incidents, managers can enable
corresponding reaction strategies (Champoux et al. 2012;
Corstjens and Umblijs 2012; Dekay 2012; Hansson et al.
2013). This case exemplifies the fact that the right approach
to analyzing social interactions is multi-step. At the first level,
social networking sites provide a variety of measures that are
readily available, such as the number of fans, comments, and
likes. At the second level, these measures need to be consid-
ered. As all measures increased in the case presented, an anal-
ysis must reflect the sentiment of, for example, user posts and
comments. This is in line with previous research (e.g., de Vries
et al. 2012; Schweidel and Moe 2014; Tirunillai and Tellis
2012). This study extends this research by establishing insights
from a comparative perspective. Thus, consumer social inter-
actions provide information about competitor brand pages, as
well as general and industry trends. For example, on April 23rd,
2013, the collapse of the factory Rana Plaza in Dhaka,
Bangladesh, unsettled the apparel industry. Several move-
ments, such as Clean Clothes and Fashion Revolution, are con-
stantly aiming at improved labor conditions. The topic still
presently affects several apparel retail brands. Another aspect
of this second level analysis is the identification of total reach
through a social networking site and across different social
media. In this study, we also demonstrated the potential danger
of such connectivity. Especially in the case of a low-interaction
brand, negative user posts can spread rapidly through the
brand’s social network. The third level of analysis thus needs
to integrate company data, as pointed out by Yadav and Pavlou
(2014) in their synthesis for future research. This third level is
exemplified by our finding regarding predictive value. In sum-
mary, this study found evidence that social interactions have
both predictive and comparative value.

Conclusion

Implications

Social interactions on a social networking site provide valu-
able insights for the own and competing brands. This study
analyzed the potential insights gained from observable social

interaction metrics across three levels of consumer engage-
ment. The number of fans needs to be observed on a brand’s
own page and for competing brands. The fan number may
indicate market developments, such as expansion strategies.
A decreasing fan number signals an existing problem in the
consumer-brand relationship. Firstly, brands should incorpo-
rate strategies for reacting to negative social interactions.
Some strategies have been proposed in previous research
(Champoux et al. 2012; Corstjens and Umblijs 2012; Dekay
2012; Hansson et al. 2013). Secondly, managers need to be
aware of how competitors utilize the social networking site to
identify consumer expectations. The proposed social interac-
tion strategy framework provides insights into such strategies.

Managers further need to identify individuals who spread
brand posts across their (digital) social networks, in order to
tap into the full potential of the multiplier effect of a brand’s
fan number (Chatterjee 2011; Lipsman et al. 2012; Trusov
et al. 2010). Katona et al. (2011) demonstrate that the number
of friends is not a good indicator of these influencers; sharing
behavior may provide a better measure. A corresponding
question for managers and researchers is how to stimulate
sharing behavior without undermining the credibility of such
brand advocates, as for example, in the case of monetary
incentives.

Following consumer expectations of multichannel integra-
tion, employing a social networking site as another communi-
cation channel further necessitates the integration of business
knowledge, supported for example by an extensive customer
relationship management system. Brand representatives may
not be able to resolve all issues directly, but need to redirect
certain problems to another channel, that from a consumer
perspective, satisfactorily resolves the issue. From an organi-
zational perspective, this leads more to the internalization than
externalization of social networking activities. Consequently,
managers need to resolve the resulting organizational
challenges.

Limitations and future research

Even though the study was conducted carefully in accordance
with and appropriately for its aim, there are inevitably some
limitations. For the chosen explorative approach, the data
sample across six different-sized apparel retail brands and a
48-day time period certainly provides some insights that can
be inferred from consumer social interactions on a social net-
working site. However, longitudinal and cross-industry ap-
proaches are warranted to broaden the findings. The data of
the six apparel retail brands yielded a significant correlation
between the number of fans and sales volume. We plan to
further extend this finding by increasing the number of brand
pages and including brand value measures. Similarly, the so-
cial interaction strategy framework needs to be expanded.
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Future research should also adopt a business value perspec-
tive with regard to the four social interaction strategies. For
example, Primark represented a prototypical posting strategy
across the study period and the smallest retailer, Ernsting’s
family, revealed a high-interaction strategy. The fan base of
Primark, however, grew comparatively more than for all other
apparel retailers, even though this is in line with Primark’s
recent expansion in Europe. For research and management, a
relevant question is how these social strategies affect and con-
tribute to the economical development. Future research is
needed to clarify the drivers and effects of social interaction
strategies and to derive guidelines for strategic management
decisions.

This study registered data from global brand pages, but no
country-specific comparisons were performed. Future re-
search can thus extend the study results by inspecting potential
differences across countries and their contribution to a brand’s
social interaction strategy.

The focus of the present study was on a single social net-
working site. Social media is, however, decentralized.
Researchers should thus extend their approaches across differ-
ent social media channels in the future. As social media
reaches consumers at different phases of the purchase funnel
(Fulgoni and Lipsman 2015). future research could address
the interaction between multiple social media across one or
more levels of the purchase funnel. Also, as social media drive
both online and offline sales (Cao et al. 2014). future research
should account for these cross-channel effects.

Consumer-initiated social interactions were found to indi-
cate potential displeasure on the part of consumers. A com-
mon saying is that even negative publicity is good publicity.
However, researchers need to determine whether this philos-
ophy also applies to social media.

Acknowledgments The author thanks the editors of the special issue
and the two anonymous reviewers for their valuable comments and
suggestions.

References

Ansari, A., Koenigsberg, O., & Stahl, F. (2011). Modeling multiple rela-
tionships in social networks. Journal of Marketing Research, 48(4),
713–728.

Bae, S., & Lee, T. (2011). Product type and consumers’ perception of
online consumer reviews. Electronic Markets, 21(4), 255–266.

Barnes, N. G. (2014). Social commerce emerges as big brands position
themselves to turn Bfollows^, Blikes^ and Bpins^ into sales.
American Journal of Management, 14(4), 11–18.

Belot, H. (2014). Zara lawyers threaten Casey mother's home business.
The Canberra Times Retrieved July 1, 2015 http://www.
canberratimes.com.au/act-news/zara-lawyers-threaten-casey-
mothers-home-business-20140423-373lf.html.

Berger, J., Sorensen, A. T., & Rasmussen, S. J. (2010). Positive effects of
negative publicity: when negative reviews increase sales.Marketing
Science, 29(5), 815–827.

Bitter, S., Grabner-Kräuter, S., & Breitenecker, R. J. (2014). Customer
engagement behaviour in online social networks – the Facebook
perspective. International Journal of Networking and Virtual
Organisations, 14(1/2), 197–220.

Brodie, R. J., Hollebeek, L. D., Jurić, B., & Ilić, A. (2011). Customer
engagement: conceptual domain, fundamental propositions, and im-
plications for research. Journal of Service Research, 14(3), 252–
271.

Brodie, R. J., Ilic, A., Juric, B., & Hollebeek, L. (2013). Consumer en-
gagement in a virtual brand community: an exploratory analysis.
Journal of Business Research, 66(1), 105–114.

Bronner, F., & deHoog, R. (2010). Consumer-generated versus marketer-
generated websites in consumer decision making. International
Journal of Market Research, 52(2), 231–248.

C&A (2012). Press Release. Retrieved July 1, 2015 http://www.c-and-a.
com/uk/en/corporate/fileadmin/ templates/master/img/fashion_
updates/Pressekonferenz_April_12/PI_Press_Conference_EN.pdf

Cao, P., Meister, S., & Klante, O. (2014). How social media influence
apparel purchasing behavior. Marketing Review St. Gallen, 31(6),
77–86.

Champoux, V., Durgee, J., & McGlynn, L. (2012). Corporate Facebook
pages: when Bfans^ attack. Journal of Business Strategy, 33(2), 22–
30.

Chatterjee, P. (2011). Drivers of new product recommending and referral
behaviour on social network sites. International Journal of
Advertising, 30(1), 77–101.

Cheung, C., Zheng, X., & Lee, M. (2012). Consumer engagement behav-
iors in brand communities of social networking sites. Paper present-
ed at the Eighteenth Americas Conference on Information Systems,
Seattle, Washington, USA. July 29, 2012. Paper 20.

Chevalier, J. A., & Mayzlin, D. (2006). The effect of word of mouth on
sales: online book reviews. Journal of Marketing Research, 43(3),
345–354.

Cooke, M., & Buckley, N. (2008). Web 2.0, social networks and the
future of market research. International Journal of Market
Research, 50(2), 267–292.

Corstjens, M., & Umblijs, A. (2012). The power of evil: the damage of
negative social media strongly outweigh positive contributions.
Journal of Advertising Research, 52(4), 433–449.

de Vries, L., Gensler, S., & Leeflang, P. S. H. (2012). Popularity of brand
posts on brand fan pages: an investigation of the effects of social
media marketing. Journal of Interactive Marketing, 26(2), 83–91.

Dekay, S. H. (2012). How large companies react to negative facebook
comments. Corporate Communications: An International Journal,
17(3), 289–299.

Dessart, L., Veloutsou, C., & Morgan-Thomas, A. (2015). Consumer
engagement in online brand communities: a social media perspec-
tive. The Journal of Product and Brand Management, 24(1), 28–42.

Dhar, V., & Chang, E. A. (2009). Does chatter matter? the impact of user-
generated content on music sales. Journal of Interactive Marketing,
23(4), 300–307.

Ernsting’s family (2013). Zahlen & Fakten. Retrieved March 31, 2015
http://unternehmen.ernstings-family.de/zahlen-fakten/

Esprit (2013). Financial Year 20122013 Annual Report English.
Retrieved July 1, 2015 http://www.esprit.com/investor_relations/
financial_information/annual_interim_reports/

Facebook (2015). Facebook Q1 2015 Results & Facebook Q4 2014
Results. Retrieved July 1, 2015 http://investor.fb.com/results.cfm

Fulgoni, G. M., & Lipsman, A. (2015). Digital word of mouth and its
offline amplification: a holistic approach to leveraging and amplify-
ing all forms of WOM. Journal of Advertising Research, 55(1), 18–
21.

Gan, D., & Jenkins, L. R. (2015). Social networking privacy—who’s
stalking you? Future Internet, 7(1), 67–93.

Insights from consumer interactions on a social networking site 215

http://www.canberratimes.com.au/act-news/zara-lawyers-threaten-casey-mothers-home-business-20140423-373lf.html
http://www.canberratimes.com.au/act-news/zara-lawyers-threaten-casey-mothers-home-business-20140423-373lf.html
http://www.canberratimes.com.au/act-news/zara-lawyers-threaten-casey-mothers-home-business-20140423-373lf.html
http://www.c-and-a.com/uk/en/corporate/fileadmin/
http://www.c-and-a.com/uk/en/corporate/fileadmin/
http://unternehmen.ernstings-family.de/zahlen-fakten/
http://www.esprit.com/investor_relations/financial_information/annual_interim_reports/
http://www.esprit.com/investor_relations/financial_information/annual_interim_reports/
http://investor.fb.com/results.cfm


Gensler, S., Völckner, F., Liu-Thompkins, Y., & Wiertz, C. (2013).
Managing Brands in the Social Media Environment. Journal of
Interactive Marketing, 27(4), 242–256.

Goel, S., & Goldstein, D. G. (2013). Predicting individual behavior with
social networks. Marketing Science, 33(1), 82–93.

Goh, K.-Y., Heng, C.-S., & Lin, Z. (2013). Social media brand commu-
nity and consumer behavior: quantifying the relative impact of user-
and marketer-generated content. Information Systems Research,
24(1), 88–107.

Gomez-Arias, J. T., & Genin, L. (2009). Beyond monetization: creating
value through online social networks. International Journal of
Electronic Business Management, 7(2), 79–85.

Gopinath, S., Chintagunta, P. K., & Venkataraman, S. (2013). Blogs,
advertising, and local-market movie box office performance.
Management Science, 59(12), 2635–2654.

Gruhl, D., Guha, R., Kumar, R., Novak, J., & Tomkins, A. (2005). The
Predictive Power of Online Chatter. Proceedings of the eleventh
ACM SIGKDD international conference on Knowledge discovery
in data mining, Chicago, Illinois, USA, 78–87.

Gummerus, J., Liljander, V., Weman, E., & Pihlström, M. (2012).
Customer engagement in a Facebook brand community.
Management Research Review, 35(9), 857–877.

H&M (2013). H & M Hennes & Mauritz AB Full-year Report 2013.
Retrieved July 1, 2015 http://about.hm.com/content/dam/hm/
about/documents/en/cision/2014/01/1280856_en.pdf

Hansson, L., Wrangmo, A., Søilen, S., & Klaus (2013). Optimal ways for
companies to use Facebook as a marketing channel. Journal of
Information, Communication and Ethics in Society, 11(2), 112–126.

Hoffman, D. L., & Fodor, M. (2010). Can you measure the roi of your
social media marketing? MIT Sloan Management Review, 52(1),
41–49.

Hoffman, Donna L., & Novak, Thomas P. (2012). Social media strategy.
In V. Shankar & G. S. Carpenter (Eds.), Handbook on Marketing
Strategy (pp. 198–216).

Hollebeek, L. D., Glynn, M. S., & Brodie, R. J. (2014). Consumer brand
engagement in social media: conceptualization, scale development
and validation. Journal of Interactive Marketing, 28(2), 149–165.

Holsing, C., & Schultz, C. D. (2013). Empirical insights on the effect of
user-generated website features on micro-conversions. International
Journal of Electronic Business Research, 9(4), 33–46.

Hutter, K., Hautz, J., Dennhardt, S., & Füller, J. (2013). The impact of
user interactions in social media on brand awareness and purchase
intention: the case of MINI on Facebook. The Journal of Product
and Brand Management, 22(5/6), 342–351.

Ismail, A. R., & Spinelli, G. (2012). Effects of brand love, personality and
image on word of mouth. Journal of Fashion Marketing and
Management: An International Journal, 16(4), 386–398.

Jeong, Y., & Coyle, E. (2014). What are you worrying about on facebook
and twitter? an empirical investigation of young social network site
users’ privacy perceptions and behaviors. Journal of Interactive
Advertising, 14(2), 51–59.

Kabadayi, S., & Price, K. (2014). Consumer – brand engagement on
facebook: liking and commenting behaviors. Journal of Research
in Interactive Marketing, 8(3), 203–223.

Kane, G. C., Alavi, M., Labianca, G., & Borgatti, S. P. (2014). What's
different about social media networks? a framework and research
agenda. MIS Quarterly, 38(1), 275–304.

Katona, Z., Zubcsek, P. P., & Sarvary, M. (2011). Network effects and
personal influences: the diffusion of an online social network.
Journal of Marketing Research, 48(3), 425–443.

Kazienko, P., Szozda, N., Filipowski, T., & Blysz, W. (2013). New busi-
ness client acquisition using social networking sites. Electronic
Markets, 23(2), 93–103.

Kotler, P., & Armstrong, G. (2014). Principles of marketing (15th ed., ).
Boston, MA: Pearson.

Külcü, Ö., &Henkoğlu, T. (2014). Privacy in social networks: an analysis
of facebook. International Journal of Information Management,
34(6), 761–769.

Labrecque, L. I., vor dem Esche, J., Mathwick, C., Novak, T. P., &
Hofacker, C. F. (2013). Consumer power: evolution in the digital
age. Journal of Interactive Marketing, 27(4), 257–269.

Lehmkuhl, Tobias, & Jung, Reinhard. (2013). Value creation potential of
WEB 2.0 for SME - insights and lessons learnt from a European
Producer of consumer electronics. International Journal of
Cooperative Information Systems, 22(3), 1340003–1-1340003-22.

Li, Y., Li, Y., Yan, Q., & Deng, R. H. (2015). Privacy leakage analysis in
online social networks. Computers & Security, 49, 239–254.

Liao, S.-H., Hsian, P.-Y., &Wu, G.-L. (2014). Mining user knowledge for
investigating the facebook business model: the case of Taiwan users.
Applied Artificial Intelligence, 28(7), 712–736.

Lipsman, A., Mud, G., Rich, M., & Bruich, S. (2012). The power of
"like": how brands reach (and influence) fans through social-media
marketing. Journal of Advertising Research, 52(1), 40–52.

Min, J., & Kim, B. (2015). How are people enticed to disclose personal
information despite privacy concerns in social network sites? the
calculus between benefit and cost. Journal of the Association for
Information Science & Technology, 66(4), 839–857.

Moe, W. W., & Schweidel, D. A. (2012). Online product opinions: inci-
dence, evaluation, and evolution. Marketing Science, 31(3), 372–
386.

Moe,W.W., & Trusov, M. (2011). The value of social dynamics in online
product ratings forums. Journal of Marketing Research, 48(3), 444–
456.

Munnukka, J., & Järvi, P. (2014). Perceived risks and risk management of
social media in an organizational context. ElectronicMarkets, 24(3),
219–229.

Narayanaswamy, R., &McGrath, L. (2014). a holistic study of privacy in
social networking sites. Academy of Information & Management
Sciences Journal, 17(1), 71–85.

Naylor, R.W., Lamberton, C. P., &West, P. M. (2012). Beyond the Blike^
button: the impact of mere virtual presence on brand evaluations and
purchase intentions in social media settings. Journal of Marketing,
76(6), 105–120.

Ng, C. S.-P. (2013). Intention to purchase on social commerce websites
across cultures: a cross-regional study. Information Management,
50(8), 609–620.

Ngai, E. W. T., Tao, S. S. C., & Moon, K. K. L. (2015). Social media
research: theories, constructs, and conceptual frameworks.
International Journal of Information Management, 35(1), 33–44.

Nosko, A., Wood, E., & Molema, S. (2010). All about me: disclosure in
online social networking profiles: the case of facebook. Computers
in Human Behavior, 26(3), 406–418.

Olbrich, R., & Holsing, C. (2011). Modeling consumer purchasing be-
havior in social shopping communities with clickstream data.
International Journal of Electronic Commerce, 16(2), 15–40.

Onishi, H., & Manchanda, P. (2012). Marketing activity, blogging and
sales. International Journal of Research in Marketing, 29(3), 221–
234.

Park, H., & Cho, H. (2012). Social network online communities: infor-
mation sources for apparel shopping. Journal of Consumer
Marketing, 29(6), 400–411.

Patsakis, C., Zigomitros, A., Papageorgiou, A., & Galván-López, E.
(2014). Distributing privacy policies over multimedia content across
multiple online social networks. Computer Networks, 75, Part B,
531–543.

Peters, K., Chen, Y., Kaplan, A. M., Ognibeni, B., & Pauwels, K. (2013).
Social media metrics – a framework and guidelines for managing
social media. Journal of Interactive Marketing, 27(4), 281–298.

Phang, C. W., Zhang, C., & Sutanto, J. (2013). The influence of user
interaction and participation in social media on the consumption

216 C.D. Schultz

http://about.hm.com/content/dam/hm/about/documents/en/cision/2014/01/1280856_en.pdf
http://about.hm.com/content/dam/hm/about/documents/en/cision/2014/01/1280856_en.pdf


intention of niche products. Information Management, 50(8), 661–
672.

Primark (2013). Associated British Foods Annual Report and Accounts,
2013 Retrieved July 1, 2015 http://www.abf.co.uk/documents/pdfs/
2013/2013_abf_annual_report_and_accounts.pdf.

Sashi, C. M. (2012). Customer engagement, buyer-seller relationships,
and social media.Management Decision, 50(2), 253–272.

Schweidel, D. A., & Moe, W. W. (2014). Listening in on social media: a
joint model of sentiment and venue format choice. Journal of
Marketing Research, 51(4), 387–402.

Stephen, A. T., & Galak, J. (2012). The effects of traditional and social
earned media on sales: a study of a microlending marketplace.
Journal of Marketing Research, 49(5), 624–639.

Stutzman, F., Gross, R., & Acquisti, A. (2012). Silent listeners: the evo-
lution of privacy and disclosure on facebook. Journal of Privacy and
Confidentiality, 4(2), Article 2.

Tirunillai, S., & Tellis, G. J. (2012). Does chatter really matter? dynamics
of user-generated content and stock performance. Marketing
Science, 31(2), 198–215.

Trusov, M., Bodapati, A. V., & Bucklin, R. E. (2010). Determining influ-
ential users in internet social networks. Journal of Marketing
Research, 47(4), 643–658.

Trusov, M., Bucklin, R. E., & Pauwels, K. (2009). Effects of word-of-
mouth versus traditional marketing: findings from an internet social
networking site. Journal of Marketing, 73(5), 90–102.

Tucker, C. E. (2014). Social networks, personalized advertising, and pri-
vacy controls. Journal of Marketing Research, 51(5), 546–562.

Tsai, W.-H. S., & Men, L. R. (2013). Motivations and antecedents of
consumer engagement with brand pages on social networking sites.
Journal of Interactive Advertising, 13(2), 76–87.

Verbraken, T., Goethals, F., Verbeke, W., & Baesens, B. (2014).
Predicting online channel acceptance with social network data.
Decision Support Systems, 63(July), 104–114.

Wirtz, J., den Ambtman, A., Bloemer, J., Horváth, C., Ramaseshan, B.,
van de Klundert, J., Canli, Z. G., & Kandampully, J. (2013).
Managing brands and customer engagement in online brand com-
munities. Journal of Service Management, 24(3), 223–244.

Yadav, M. S., & Pavlou, P. A. (2014). Marketing in computer-mediated
environments: research synthesis and new directions. Journal of
Marketing, 78(1), 20–40.

Yadav, M. S., de Valck, K., Hennig-Thurau, T., Hoffman, D. L., & Spann,
M. (2013). Social commerce: a contingency framework for
assessing marketing potential. Journal of Interactive Marketing,
27(4), 311–323.

Xu, K., Guo, X., Li, J., Lau, R. Y. K., & Liao, S. S. Y. (2012a).
Discovering target groups in social networking sites: an effective
method for maximizing joint influential power. Electronic
Commerce Research and Applications, 11(4), 318–334.

Xu, K., Li, J., & Song, Y. (2012b). Identifying valuable customers on
social networking sites for profit maximization. Expert Systems with
Applications, 39(17), 13009–13018.

Yu, Y., Duan, W., & Cao, Q. (2013). The impact of social and conven-
tional media on firm equity value: a sentiment analysis approach.
Decision Support Systems, 55(4), 919–926.

Zara (2013). Inditex group annual report 2013. Report and Accounts,
2013 Retrieved July 1, 2015 http://www.inditex.com/documents/
10279/18789/Inditex_Group_Annual_Report_2013.pdf/.

Zhang,M., Jansen, B. J., & Chowdhury, A. (2011). Business Engagement
on Twitter: A Path Analysis. Electronic Markets, 21(3), 161–175.

Insights from consumer interactions on a social networking site 217

http://www.abf.co.uk/documents/pdfs/2013/2013_abf_annual_report_and_accounts.pdf
http://www.abf.co.uk/documents/pdfs/2013/2013_abf_annual_report_and_accounts.pdf
http://www.inditex.com/documents/10279/18789/Inditex_Group_Annual_Report_2013.pdf/
http://www.inditex.com/documents/10279/18789/Inditex_Group_Annual_Report_2013.pdf/

	Insights from consumer interactions on a social networking site: Findings from six apparel retail brands
	Abstract
	Introduction
	Related literature, research framework and research questions
	Overview
	Drivers of consumer interaction
	Informational value of social networking sites
	Social media in the apparel industry

	Research framework
	Research questions
	Creating a relationship: fan number
	Brand activities: posting and response behavior
	Consumer activities: consumer-initiated social interactions


	Methodology
	Data sample
	Data collection and data overview

	Results
	Analysis of fan numbers
	Analysis of social networking site strategies
	Analysis of consumer-initiated social interactions

	Discussion
	Conclusion
	Implications
	Limitations and future research

	References


