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Abstract

In this research paper, we propose a new iterative algorithm for finding a common solution
to fixed point problems of demicontractive mapping and variational inequality problems
which involves monotone and Lipschitz continuous operators in the framework of real
Hilbert spaces. We incorporate a viscosity iterative technique, using subgradient extragradi-
ent method, we prove under standard assumptions that the iterative sequence generated from
our algorithm strongly converges to the solution set, assuming the solution set is consis-
tent. Furthermore, we adopt a self-adaptive stepsize that is being generated at each iteration,
which is independent of the Lipschitz constant of the singled-valued operator. Our result is
an improvement and an extension of many results in this direction.

Keywords Extragradient - Subgradient-extragradient - Variational inequality - Lipschitz
constant - Viscosity iteration - Hilbert spaces

Mathematics Subject Classification 47H09 - 47J20 - 47J25 - 65k15

1 Introduction

Our purpose in this paper is to study an interesting combination of problems of finding a fixed
point of a given nonlinear operator which turns out to solve variational inequalities in real
Hilbert spaces. Let C be anonempty closed convex subset of a real Hilbert space H, with inner
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product (-, -) and an induced norm ||.||. Let 7 : C — C be nonlinear. The map T has a fixed
pointif 7x = x and the set of fixed point of T isdenoted by F(T) :={x € C : Tx = x} # .
The variational inequality problem (VIP) and fixed point problem (FPP)is formulated as:

find x € C suchthat x € F(T) and (f(x),y —x)>0, VyeC, (1.1)

where f is a single-valued mapping defined on C.

Let the solution set of (1.1) be denoted by I' := VI(C, f)N F(T) # @. Problem (1.1) is
a generalization of many optimization problems and has been studied by many researchers
in different capacities (see, [1, 4, 37, 38] and contained references). Basically, (1.1) includes
two remarkable and striking problems:

1. The FPP, which can be defined as follows:
find x € C suchthat T(x)=x, (1.2)

provided the F(T) # (.
2. Another important problem embeded in problem (1.1) is the well known VIP which has
following structure:

find x € C suchthat (f(x),y—x)>0, VyeC. (1.3)

Let VIP(C, f)and SOL VIP(C, f) denote problem (1.3) and its solution set, respec-
tively. It is important to note that problem (1.3) is a unifying and an essential modelling
tool in many field such as economics, programming, engineering mechanics and many
more, for examples see [2, 5, 16] and references contained therein. This concept was
introduced and studied by Stampacchia [34], for the purpose of modelling problems in
mechanics.

There are methods for solving (1.3) which include: regularization method and projec-
tion method. In what follows, our focus for solving (1.3) is the projection method. This
method involves construction of an iterative algorithm of the form:

Xnt1 = Pc(xn = Afxn),n 2 1, (1.4)

where A is positive and Pc is a projection onto closed convex subset C. With this method,
it is well known that the problem (1.3) is equivalent to the following fixed point problem:

find x € C suchthat x = Pc(x — A f(x)), (1.5)

for an arbitrary positive constant, A. The basic projection method for solving VIP involves
the gradient method, which performs only one iteration onto the feasible set. This method
requires that the operators are inverse strongly monotone or strongly monotone (see [12])
for the iterative sequence to converge to the solution set. These conditions are very strong
and quite restrictive. To circumvent this challenge, Korpelevich [18] while studying sadle
point problems introduced a concept called extragradient method. It was further extended
to VIPs for both Euclidean and Hilbert spaces. To be precise, Korpelevich [ 18] constructed
the following algorithm:

xo € C,
Yn = Pc(xp — nAxy), (1.6)
Xn+1 = Pc(xp — pAyn),

where € (0, %), the singled-valued operatorA : H — H is monotone and L-Lipschitz

continuous and Pc is a projection onto C. He proved that the recursive sequence {x,}
generated by (1.6) converged weakly to the solution set SOL VIP(C, A).
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Since the the introduction of (1.6), many authors have modified it in various forms (see,
[8, 17, 20] and the cited references therein).

In 2006, Nadezhkina and Takahashi [26] used the concept of hybrid and shrinking projec-
tion techniques to construct an extragradient based method and obtained a strong convergence.
In short, in [31], the following algorithm is presented:

X0 € C,

yn = Pc(xp — nAxy),

Zn = Pc(xy — nAyn),
Ch={weC:lzy—wl = lx —wl},
On={weC:(x, —w,x—x,) <0},

1.7)

Xnt+1 = Pc,no,Xo.

Observe that the computation of the algorithm (1.6) requires computing two projections
per iteration. It is known that projections onto closed convex set Pc has no closed form of
expression. To drop the second Pc from the algorithm (1.6), Censor et al. [5] introduced a
subgradient extragradient method and constructed the following iterative scheme:

X0 € H,

yn = Pc(xy — nAxy),

Ty ={x € H:(x, — pnAxy — yn, x —yn) <0},
Xnt1 = Pr,(xp — LAyn).

(1.8)

The authors of [5] considered a projection onto a half space Pz, which has a closed form
of expression. They proved under some mild conditions that the sequence {x,} generated
by (1.8) converged weakly to the solution. They further modified (1.8), using a hybrid and
shrinking projection method as contained in (1.7) and obtained a strong convergence(see,
[6]). It is pertinent to mention that Censor et al. [40] extended [5] to Euclidean spaces. Based
on this improvement in [6, 26], many researchers have used other techniques to obtain a
strong convergence (see [14, 19, 23, 37]).

In recent years, there has been a tremendous interest in developing fast convergence of
algorithms, especially for the inertial type extrapolation method which was first proposed
by Polyak in [31]. This inertial technique is based on a discrete analogue of a second order
dissipative methods. This method was not known until the Nesterov’s acceleration gradient
methods was published in 1983 (see, [27]) and by 2009, Beck and Teboulle [3] made it very
popular. Recently, some researchers have constructed different fast iterative algorithms by
means of inertial extrapolation techniques, for example, inertial Mann algorithm [25], inertial
forward-backward splitting algorithm [21], inertial extragradient algorithm [22, 36], inertial
projection algorithm [35], and fast iterative shrinkage-thresholding algorithm (FISTA) [3].
Recent results on the use of inertial method can be found in [8, 10, 11, 41-43] and contained
references

Remark 1.1 We note that the algorithms (1.6)—(1.8) have a major drawback on the stepsize
( in the sense that, they heavily rely on the Lipschitz constant of the given operator. This
dependence on the Lipschitz constant affects the efficiency of the algorithms. In many prac-
tical importance, the Lipschitz constants are not known and in several occasions, difficult to
estimate.

Based on Remark 1.1, many researchers have worked and improved the already exist-
ing results in various forms. In a recent work published by Gibali [9], he introduced an
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Armijo-like search rule and remarked that, it is for local approximation of the Lipschitz con-
stant. Although, it does not require the knowledge of Lipschitz constant but might involve
additional computation of projection operator. Thong and Hieu [37] presented two parallel
iterative algorithms for solving a variational inequality problem and fixed point problem for
demicontractive mapping using subgradient extragradient technique. They obtained a strong
convergence in both schemes under the assumption that the single-valued operator is mono-
tone and Lipschitz continuous. But, their stepsize was dependent on the Lipschitz constant
which was a heavy drawback. To improve on this result, in [36] the authors proposed another
two inertial self-adaptive stepsizes for solving variational inequailties and obtained strong
convergence results under the assumption that the operator is strongly pseudomonotone,
which is also a stronger assumption than being monotone and Lipschitz continuous. Shehu
et al. [33] studied an inertial typed subgradient extragradient method with self-adaptive step-
size. Under some mild conditions, the authors obtained a weak convergence. Furthermore,
they later considered the operator A to be strongly monotone and Lipschitz continuous and
obtanied a strong convergence. More so, Ogwo et al. [29] studied relaxed inertial subgradient
extragradient methods for solving variational inequality problems involving quasi-monotone
operator and obtained weak convergence. For more results in this direction, see for instance
[1,28-30, 38] and cited references. Motivated and inspired by the work of [9, 18, 29, 33, 37],
we construct a new inertial algorithm that is simple and efficient for approximating solutions
of variational inequlity problems and fixed point problems using subgradient extragradient
type method.
Our contributions in this research include the following:

(a) A new inertial self-adaptive subgradient extragradient algorithm which does not require
the prior knowledge of Lipschitz constant is constructed. The variable stepsize A, does
notneed the lim,, .o A, = 0, or Z,foz 1 A« = Oasinthe case of [36]. Itis more applicable
than fixed stepsizes.

(b) The inertial term we use improves the rate of convergence greatly. It is quite different
from the one considered by [10, 11, 19, 23, 24]. It does not also require computing norm
difference between x,, and x,,_; before choosing the inertial factor, 6,,.

(c) We obtain that the iterative sequence {x,} converges strongly to the solution set. Unlike
the weak convergences obtained by [5, 29, 38]. We assume that the single-valued operator
A is not required to be strongly monotone as in the case of [33] or strong pseudomonotone
used by [36]. These two assumptions are stronger than being monotone and Lipschitz
continuous that we consider.

(d) The general class of operator called the demicontractive mapping is considered. Many
important operators like nonexpansive mapping, pesudocontractivs, k-strictly pseudo-
contractive, quasi-nonexpansive operators among many others are all embedded in
demicontractive mapping (see Remark 2.2 below). It is a more general class of oper-
ators than the ones used by [1, 4, 33, 38].

(e) Numerical examples are provided which show the general performance of our algorithm.

The rest of the paper is organized as follows: the preliminaries in Sect. 2 deal with basic
definitions of the terms and related lemmas, which we state without their proofs. In Sect. 3, we
state our algorithm and assumptions for our operators and control sequences. The convergence
analysis is given in Sect. 4 while in Sects. 5 and 6 are devoted for numerical illustartions and
conclusion, respectively.

@ Springer



Finding a common solution of variational inequality... 1259

2 Preliminaries

We list some basic concepts and lemmas which are useful for constructing and analysing the
convergence of our algorithm.

Definition 2.1 Let H be areal Hilbert spaceandVx,y € H,p € F(T).AmapT : H > H
is called:

(1) monotone on H if, (T (x) — T(y),x —y) > 0;

(2) n-strongly monotone on H if there exists n > 0 such that (T(x) — T(x),x — y) >
nllx — ylI%:

(3) Lipschitz continuous on H if, there exists a constant L > 0 such that |7 (x) — T (y)| <
Lilx =yl

(4) anonexpansive mapping if ||Tx — Tx| < [|lx — y|;

(5) aquasi-nonexpansive on H if, |T(x) — p|| < ||lx — pl;

(6) K-strictly pseudo-contractive on H if, || Tx —Ty||> < |x—y|I>+«|x—y—(Tx—=Ty)|?,
for some x € [0, 1);

(7) o-demi-contractive if, there exists ¢ € [0, 1) such that |Tx — p||? < ||lx — pl? +
oll(I = T)x||%; or equivalently (Tx — x,x — p) < “T_lux — Tx|? or equivalently
(Tx = p.x = p) < |lx = plI> + T+ lx — Tx||”.

Remark 2.2 We observe that:

(1) (7) contains as a special case, nonexpansive mapping, quasi-nonexpansive mapping, x -
strictly pseudo-contractive mapping with a nonempty fixed point.
(i1) All nonexpansive operators are «-strictly pseudo-contractive mapping with a nonempty
fixed point.
(iii) Also, all quasi-nonexpansive mappings are a subclass of 0-demi-contractive mapping.
(iv) Nonexpansive mappings are contained in quasi-nonexpansive mapping.

But the converse of all of these definitions are not necessarily true. To understand this,
consider the following examples below.

Example 2.3 [13] We consider a demicontractive mapping which is not neccessarily pseu-
docontractive or «-strictly pseudo-contractive. Let H = R, C = [—1,1],letT : C — C
be defined by Tx = %xsin(%) if x # 0 and T0 = 0 otherwise. Observe that the only fixed
point of T is zero (0). However, for x € C,
2
ITx = OF = |Tx|* = |Jxsin(1/0) < 2x/3" < [xI” < |x = O + 0| Tx — x]2,

for any o € [0, 1), this shows that T is a demi-contractive.
Let us now show that T is not pseudo-contractive mapping. Let x = 2/m,y = 2/37.
Then,

|Tx — Ty|> =256/817>.
‘It follows that
Ix — y]>+ (I = T)x — (I — T)y|> = 160/81x>.

Example 2.4 [38] We consider a case where T is quasi-nonexpansive but fails to be nonexpan-
sive. Let Tx = Jsinx, if x # 0 and Tx = x, then we have that x = 3sinx, which implies
that sinx = 2, impossible. Thus, we obtain that x = 0, which means that F'(T) = {0}.
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Now, forall x € H,

X . X
ITx -0l = IIESMXII < IIEII < lxl = lix =0l

this shows that T is quasi-nonexpansive. However, setting x = 27 and y = 37”, we get

2 37 . 3w 3 37 b4
ITx =Tyl = |l5-sin2m — —sin—| = — > |27 — || = 7,

2 4 2 4 2 2
which further means that the operator 7 is not a nonexpansive mapping.
Example2.5 [7] We give an example of demi-contractive mapping that is not quasi-
nonexpansive and not pseudo-contractive mapping. Let f : [-2,1] — [-2,1] be a
real-valued function defined by f(x) = —x2 — x. Then, it is demi-contractive on [—2, 1] and
conitnuous. It is neither quasi-nonexpansive nor pseudo-contractive mapping on [—2, 1].

Definition 2.6 The mapping Pc : H — C which assigns to each v € H, the unique point
Pc(v) suchthat | Pc(v) —v|| = inf{||lw—v]| : w € C}. This is called the projection operator.
The operator Pc satisfies the following condition:

(x =y, Pcx — Pcy) = ||Pcx — Pey|?, Vx,y € H.
Also, for
Pcx € H, (x — Pcx, Pcx —y) >0, VyeC.
Further implication is that
e =y = llx = Pex[* + [y = Peyl, ¥x € H.VyeC.

For details on the metric projections, an interested reader is encouraged to consult [44, section
3]

Lemma 2.7 [39] Let H be a Hilbert space and S : H — H be a nonexpansive mapping
with a nonempty fixed point. If {x,} is a sequence in H that converges weakly to a point x*
and {(I — S)x,} converges strongly to y, then (I — S)x* = y.

Lemma 2.8 Let H be a Hilbert space. Then, the following results hold for all x,y € H, : €
R:

(a) 20x. y) = Ix 7 + Iy17 = llx = ¥ = e + ¥ = lx ] = Iy,
(b) llx = yI* < x> +2(y. x = y)
() llax + (1= 0yl? = Al + (1 = DIyl = 21 = D)lx = yII*.

Lemma 2.9 [32] Let {a,} be a sequence of non-negative real numbers, {8, } be a sequence of
real numbers in (0, 1) with condition Y o | B, = 0, and {d,} be a sequence of real numbers.
Assume that

ap41 = (1 - ﬂn)an +,8ndm n>0.
and

(@) Y ,loon =00
(b) limsup,_, d, <0.

Then, lim,,_, 5 a, = 0.
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Lemma 2.10 [24] Let {a,} be sequence of non-negative real numbers satisfying the following
inequality:

any1 < (1 = Byay + 6y + yu,n > 1,

where {B,} is a sequence in (0, 1) and {6,} is a sequence of real numbers. suppose that
Z,fozl Vo < 00, and 8, < B, M for some M > 0. Then, {a,} is a bounded sequence.

Lemma 2.11 [19] Let A : H — H be a monotone and L-Lipschtiz continuous mapping on
H. Let S = Pc(I — nA), where u > 0. If {x,} is a sequence in H satisfying x,—q and
Xn — Sxp, > Othenqg € VI(C, A) = F(S5).

Lemma 2.12 [23] Let {a,} be a sequence of nonnegative real numbers such that there exists
a subsequence {an;} of {an} such that an; < an;+1 for all j € N. Then, there exists a
nondecreasing sequence {my} of N such that limy_, oo my = 00 and the following properties
are satisfied by all (sufficiently large) number k € N :

amy < Qg1 and  ag < Apy41.

That is, my is the largest number n in the set {1,2, ..., k} such that a,, < a,+1.

3 The proposed algorithm

We present the proposed algorithm in this section and state the standard assumptions for the
control sequences and the operators.

Assumption 3.1 The conditions on the set, and operators are stated below

(1) The feasible set C is nonempty, closed and convex and H is a real Hilbert space.

(2) The operator A : H — H is monotone and Lipschitz continuous.

(3) The operator T : H — H is an o —demi-contractive with nonempty fixed point and
with demicloseness property.

(4) The mapping f : H — H is a contraction map with contraction p € (0, 1).

(5) The solutionset I' := VI(C, A)N F(T) #@.

Assumption 3.2 The following assumptions are considered for the control sequences and the
stepsize.

(@) a, € (a, T2 (1 — p)), forsomea > 0, p € (0, 1).

(b) limy 00 % |lxy — X511 = 0.

(©) 7, € (0, 2(%—,0)), limy o0 7 =0, Z;o:l Tn = 0.

(d) Bn € (a,b) C (0, (1 =A)(1 —1,)) for some a, b > 0.
() 0<6, <6 <1.

Algorithm 3.3 Self-adaptive algorithm for variational inequality and fixed point problem.

Step 0: Choose sequences {a,}, {Bn}, {tn} and {6,} such that Assumption 3.2 hold. Let
n>0,a1 >0, and xo, x1 € H be arbitrarily chosen.
Iterative steps: Step 1. Given the iterates x,, X,—1,n > 1, compute

3.1

wy = o X0 + (1 — ay)xy + 0, (xp — x4-1),
yn = Pc(wp — AyAwy),
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1262 F. 0. Nwawuru et al.

where
g ttllwa=yall? ;
Ingl 1= mm{nAwn—AynHZ’)‘”} if Awn # Ayn (3.2)
My otherwise.
If w, =y, = xp, then x, € VI(C, A) N F(T). Otherwise, construct a half-space
T, :={weH:(w, —AAw, — yp, w — yu) < 0},
and compute
in = PT,1 (Wy — AyAyn), (3.3)
Xp1 = T f (W) + (1 = T)qn,
where g, = Bpzn + (1 — BT z,.
Set n:=n+1 and go back to Step 1.
Remark 3.4:
i) See that Assumption 3.1 (2) requires the operator A to be monotone and Lipschitz con-
tinuous.

ii) The stepsize A, in (3.2) is self-adaptive. It is being generated at each iteration which
makes our algorithm easily implemeneted without the prior knowledge of the Lipschitz
constant of operator A.

iii) The inertial term 6, (x, — x,—1) contains an extra-term like Halpern iterative scheme,
this greatly improves the rate of convergence of our proposed Alogrithm.

4 Convergence analysis

To establish the main theorem of this paper, the following lemmas should be stated and
proved.

Lemma 4.1 Let {x,} be the recursive sequence generated by Algorithm 3.3 such that Assump-
tions 3.1 and 3.2 are satisfied, then {x,} is bounded.

Proof Let x* € I'. Then by the definition of variational inequality, we obtain that

(Ax*, y, — x*) > 0.
Since A is monotone, we get that

(Ayn, yn —x%) 2 0.
Thus,

(Ayn, yn —x* + 20 — 20) 2 0.
Hence,
(Ayn, x* = zn) < (AYn, Yo = 2n)- 4.1)

We therefore obtain from the difinition of 7;, that

(wy, — )\nAyn — YnsZn — yn> <0.
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It follows that

n = An AWy — Yn, Zn — yn> + Ap(Awy, — Ayn, 2y — yn>

(wy — Ay Ay, 2n — yn) = (w
< An{Awy, — Ayn, 2n — Yn)- 4.2)

Now, using the definition of projection, its characterization and (4.2), we get

lzn — x*1% < llwp — x* 1% = lwn — Yull® = 1yn = 20 ll* + 200 = An AV — Yus 20 — Yn)
< lwy — x* 112 = lwn — yall* = s = zall* + 2An(Awy — AYn, 20 — )
< Nwp = x* 12 = Iwn — yull? = 1w — zall? + 240l Awy — Ayl lzn — yal
2,

< llwn = x*1% = llwy = yull* = lyw — zall* + = llwn = yull-llzw = yul
n+1
< Nlwn — x*12 = wn — yull* = lyn — zall?
A
+ i(lwy = yull* + llzn — yull®)
)\n+1
w112 2, M 2 2
= lwn = x* I = llwn = yall® 4 == pllwn = yal® = llyn = 2al
n+1
A
+5 " pillzn — yull*
n+1
A A
= ||wn—x*||2—<1— . u) ||wn—yn||2—<1— - u) lzn — yull?.
}\n+1 )\n-&-l

(4.3)

Observe from (3.2) that ), is a monotone nonincreasing sequence. Without loss of generality,
we may assume that the lim,,_, o, A,, = A. Therefore,

A
lim (1 - —"p)=1—pu>e>0. (4.4)
n—00 )w1+1
It follows from (4.3) and (4.4) that
lzn — x*|1* < flwn — x*[I. 4.5)

From the Algorithm 3.3, step 2, using the definition of g,, condition (d) of Assumption 3.2
and for all x* € I, we obtain
Iign — x 17 = (1 = B)(zn — x™) + Bu(Tzy — x|
= (1= B)?llzn — x* 12+ B2 T 20 — x*1* + 2B, (1 — Bu) T2y — x*, 20 — x™)
< (1= B)?lzn — XM 12+ B2llzn — x*1? + B2o 1T 20 — x*|?

1—0o
+2B,(1 — Bn) [Ilzn —x*|* - T”Tzn —X*IIZ]

= llzg — x* > + BuloBn — (1 — B — I T2y — z41I*]
= llzg — x* > + BulBn — A — )T z0 — zall?
< llzn — x*|I1%. (4.6)

Now,
lw, — X*” = llopxo + (1 — ap)xy + O (xy — Xp—1) — X*H

= |l (x0 — X*) + 1 =) (xp — x*) + 60, (xp — xp—1) |l
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1264 F. 0. Nwawuru et al.

< aullxo — x*” + 0 —a)llx, — x*” + O llxn — xp—1ll
< lxn = x| 4+ anllxo = x*[| + 6nllxn — X511l 4.7

Furthermore

Xne1 — X" = [T f (wn) + (1 = 2)gn — X7

170 (f (wn) — x™) + (1 = ) (gn — x|

Tl f (W) = fFEN 4wl f ) = x|+ (1 = ) llgn — x|
Tapllwny — x| 4+ Tl f () = x*| + (1 = 1) llzn — X7
Tollwy — x| 4+ (1 = ) lwy — x| + 7 | f (XF) — x™|

= (tap + 1 =) lwy — x™ | + 7| f (&™) — x|

IANIA TA

<(mp+1- Tn)[Hxn — x*| 4+ anllxo — x*||
+6nllxXn — xn—1 ||] + Tl f () — X"
= |:(tnp + - Tn))]||xn - X*” + |:tnp + - le)]an llxo — X*”

+|:fn,0 + 1 - Tn)]9n||xn — X1l + Tn”f(x*) - X*”

<= = p)lxy —x* [ +[1 = (1 = p)lagllxo — x|
+(1 =7 (1 = p)Onllxn — xn—1ll + Tl £ () — x|
= [1 = (1 = p)]llxp — x| + anllxo — x|l
010 — X1l + Tl £ () — x|
< [ =7 = p)llxn = x*[ + (1 = p)llxo — x|
+Onllxn — Xp—1 | + Tall f () — x|
<[ =5l = p)lxy — x*| + (1 — p)llxo — x|
+Onllxn = Xn—1 Il + Tall f () — x|

=[1 =l = p)lllxy —x*| + 7 (1 — p)[llXo —x*|

llxn = xp—1ll | IFG™) =¥l
0 . 4.8
+Tnbn ‘L',%(l—p) + 1—p (4.8)
Let v, = (1 — p) in (4.8). Since, lim,, o0 % [lx, — x,-1]| = 0, set
6 _ _ *y *
M:Sup{”x()_x*”,rn n”);n Xn 1||7 ILf (™) —x II}
Th (1 - )0) 1- P
and apply Lemma 2.10 in (4.8) to obtain
[Xn+1 = X" < (L= y)llxn — x*[| + yu M
< max{||lx; —x*||, M}. (4.9)
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Thus, we conclude from (4.9) and Lemma 2.10 that the sequence, {x,} is bounded. Conse-
quently, we obtain that {w, }, {y,}, {z,} and {g, } are all bounded sequences and this completes
the proof of Lemma 4.1. O

Lemma4.2 Forall x* € T, we have

T, My + x* —x*,x — x*
llml—x*llz5(1—;n)||xn—x*||2+;n<" 0+{f&) ntl >>,

L—p

where ¢, = 723"7(1;;).

Proof Let x* € I'. Then,

lw, — x* 1% = llotn (x0 — x*) + (1 = ) (6 — x*) + 6 (6 — X |I?
= [lan(xo — x*) + (1 — &) (0 — X2+ 02 l1x0 — X111

+200, (1 — a) {x0 — x* 4+ Xn — x*, Xp — Xn—1)

anllxo = x*[17 4+ (1 = ) [l Gon — XM — (1 — ) xn — X011
+07 X0 — Xn—1|I?
+20, 0t (1 — 0t) (X0 — X* + X — x*, X5 — Xn—1)

anllxo — x*[1* + (1 = o) % — x*[1* + 6,7 1xn — xa—1 ]I

+20,an (1 — an)[<x0 — X", xp = Xn—1) + (X0 — X7, X _xn—1>]

IA

IA

2 2 2 2
apllxo — 217+ (1 — ) llxn — ™17 4+ 65 llxn — xn—1l

+20, 0, (1 — Otn)[IIXO = X = xn—1 1+ llxn — x|l _xn—l||i|

IA

(1= ap)lxn — x> + onllxo — x* 1> + 62 xy — X511
+0n06, (1 — ) [I1x0 — x* 1% + lxn — xu—111%]
F0natn (1 — o) [lxn — x| + lovw — x0—111%]
< (1 —aw)llxn — X% + anllxo — x| + 607 30 — xp—1 12
FOnatn |0 — X* |7 + Opctn ||y — x|
0ot 160 — x* 1> + Opcty |0 — xp—1 |1
< (1= ) llxn — X*[I* + anllxo — x* |17 + Onllxn — x0—1 |12
+an llx0 — X7 + anllxn — x| + 20,0 [l — X1 12
<l = x*II* + 27, (1 — p)llxo — x*[1* + Oullxn — xu—1 |
+27,7 (1 = 8)Bpllxn — xn—11I*
< llxn = x* |7 + 27,7 [1x0 — X% + Ou 10 — Xn—11* + 27,760 10 — Xp—1 |1

0

2 2, 20 2

= oy — x| + 227 xo — x*||* + 7 3l = 2l
n

0
+21, X0 — xa1 |1 (4.10)
T}’l
It follows from (4.10), (3.3) and Lemma 2.8 (b) that

1 = x* 17 < (1 =) llgn — x* 12+ 2T0plwn — x* | |1Xp1 — x|
+2Tn<f(x*) — x*, Xn+1 — X*>

2 2 2 2
< (I =7)°lgn —X|° + wpllw, — x¥| + TupllXn+1 — x|
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F27,0(f () = x*, Xppy — x¥)
< (1= w)?llzn — X*1* + tapllwn — x*1* + Tapllxags — x|
27, (f (x*) — x*, xpq1 — )
< (1= )2 llwn — x*I1? + tupllwn — X7 + Tapllxngs — x*|?
27, (f (x™) — x™, xpq1 — x¥)
[(1 = )? + mplllwn — x* 12 + Tupllxnsr — x|

27, (f (x*) — x*, X1 — )
1
1- TP

IA

[(1 — ) + Tupllllxn — x* 1% + 272 [lxo — x*|1?

6, ¥
2Yn 2 4 Yn 2
T, lxn — xp—1ll 2Tn 1 — xn—117]
2 2
Tn 'L'n

+2rn<f(x*) —x", Xn+1 — X*>

1 *2
= 1 ‘L_p[l_z'fn‘i‘fnp]”xn_x I
— in
2 2
T 2t
Tl =X [(1+ 7)o — |1
— TupP 1 _Tnp
6 6 2%
+T—';||xn — x|+ 2r37’;||x,, — P+ o2l
n n
21, " y .
+1 . p(f(x ) = X", Xpg1 —X7)
— tn
27,(1 — p)
=(- ﬁ)ﬂxn —x*)?
—tn
| (L4 o) llxo — x* 12 + %y — xa1 12
27,(1 — p) E
n n
* I —1p [ l—p }
2w —p)
1 - P

[ bl 4222 % 1y, — xn_1||2+<f(x*>—x*,xn+1—x*>ﬂ
Tn .

L—p
“4.11)
Letting My = Sup:(l—l—r o) lxo—x*12, & lxn—xa—1 12, ”X"—x 122220 1, —xp_ 1|2 1 €

n 0— 12 n n—1 T, tz n n—1
N} and in (4.11), we conclude that
27,(1 — p)
21 — x*|* < (1 - 1"7 llxn — x*|1?
— Thp
25, (1 — p) (T Mo + <f(X*) —x*, Xn+1 — X*> ) (4.12)
L —1p L—p
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Putting ¢, = Zrl"_(ilt;/f) we can re-write (4.12) as follows:

T Moy + (f (x*) — x*, xpa1 — x*))

1 = 22 < (1= &)l —x*||2+;n( =

(4.13)

This completes the proof of Lemma 4.2. O
Next, we establish the following important lemma.
Lemma 4.3 We prove that

Ak AL
“Mwn = yall? 4+ A = =)z — yull*]

At Ant1

(I =zl =

< lben = pI? = Ixn+1 = pII* + @ Ko.
Proof From the algorithm and for all x* € T, we get

lgn — x*1* = (1 = Bu)(zn — x*) + B (T2 — x|
< (1= Bllzn = x* 17 + Balllzn — x* 2 + oI = T)zul*]
—Bu(1 = B = T)zal?
< (= B)llzn = x* 1>+ Bullzn — x* 1> + Bao | = T)zn|1?
= llzn — x*I7 + Buo I (I — T)zal?
A:fgnwn P jfl
+Buo (I — Tzl
%)Hwn —yl? = (1 - jfl
—o(A— DA =) — Tzall*

< Jlw, —x** = (1 - Mzn — yull?

< flw, —x** = (1 - Mzn — yull*

(4.14)
Furthermore from the Algorithm and for all x* € T,
Tl f () — x*I1* + (1 = ©)llgn — x*|I?
Tall £ (wn) — x* |1 + (1 = 1)
An An
{nwn — 2 = (1= 2 = P = (1= 2z, —ynnz}
n+1 1

Tull f (W) — x*”2 + (1 —1)

2
41 — )17 <
=

IA

Anpt
)\n—H

2 2 2 2
{HX” — X" I7 + apllxo — x* 17 4 Onllxy — xp—1ll” — (1 — Mwn = yull

An b
— )l —yn||2}
n+1

Tl f (wn) — ¥ + (1 — )

2 2 2
[len = X7+ anllxo = X174 O llxn — xp—1ll ]

-1 -

An b 2 An b
Mwn = yall* =0 =
)\n+] " " }‘«n+l

—(1 - m[(l - Mzn — ynnz]
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IA

Tall £ (wn) — X*I1 + (1 = t)[lxn — x*[* + 72 (1 — §)llxo
—xX* |1 + Ol — xXn—111%]

)‘-n }"Il
—<1—rn>[(1— B wn = yall? + (1 = “>||z,,—yn||2]
)"n+1 )\'n+l
< Tl fwp) = x* 12+ (1= ) [llxn — x* 12 + 7230 — x* 117 + Oullxn — xu—11%]
)‘-n )"Il
—(1- rn)[(l = 2wy =yl 4 (1= 2z, — ||2]‘
An+1 An+l
(4.15)
Thus, it follows from (4.15) that
Anlb An b
(1 —m[a — ) [y = yull* + (1= =) |z, —ynnz}
)"n+l )‘-n+l
< 2 = x* 1> = X1 — x*I1* + . Ko. (4.16)

6
where Ko = sup{”f(wn) _x*“za (B _X*Hza fnﬁ”xn — Xn—1 ”2’ TnllXo _X*”z ne N}»
n

completing lemma 4.3. O
Lemma4.4 Forany x* € T, we obtain
o (=D = t)llzn = Tzull® < lwa —x*1 — llgn — 2117
Proof The result follows immediately from Lemma 4.3. O
We are now ready to establish the main theorem of this paper.

Theorem 4.5 Let C be a nonempty closed convex subset of a real Hilbert space, H. Let A be a
monotone and Lipschitz continuous defined on H and T : H — H, be a o -demi-contractive
mapping. Let f be a contraction map defined on H. Assume the solution set T' # (. If
the Assumptions 3.1 and 3.2 are satisfied, then the sequence {x,} converges strongly to the
solution set.

Proof Since Pr f is a contraction on H, there exists ¢ € I' such that ¢ = Pr f(g). Thus,
we prove that the iterative sequence {x,} converges strongly to ¢ = Pr f(q). In order to
establish this result, we consider the following two cases.

Case 1: Suppose there is ng € N such that {||x, — q||}g‘;n0 is nonincreasing. Then,
lim,,— o {||x» — q||} exists. It follows from this fact that

lim ([lx, — gl = llxn+1 —¢ql) = 0.
n—oo
From the Algorithm 3.3, we get

lwy — x5 |l < llatn(xo — X)) | + 1180 (x5 — X0l

= ayllxo — xull + O llxn — xu—1ll

IA

0,

t2(1 — p)lIxo — xull + 725 X0 — Xn—1ll. (4.17)
‘L'2
n

It follows from (4.17) and the Assumption 3.2(b—c) that

lim ||w, — x| =0. (4.18)
n—oo
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From Lemma 4.3, we obtain that

lim Jlwy, = yall =0 = llzn = yall. (4.19)
n—oo

It follows from (4.19) that

Subsequently,

Since the lim,,_ oo {||x, —

That is,

lwn = zall < lwn = yall + 1yn = 2all-

lim ||w, — z,|| = 0. (4.20)
n—oo
q||} exists,it follows that

lim (Jlw, — plI* = llgn — pII*) = 0.
n—0o0

lim Jlw, — pll = lim g, — pl. 4.21)
n—oo n—oo

And consequently from the Lemma 4.4, we get

lim |lzy — Tznll = 0. (4.22)
n—oo

Using the condition on 7, and definition of g,, we estimate that

lgn — yull = (1 = Bllzn — Yull + BullTzn — yull

< lzn = Yull + Bull Tzn — yull

B
=Mwwm+mfwm—mw»a (4.23)
n

It follows from (4.23) and (4.19) that

lim lgn — yall = 0. (4.24)
n—oo

Now, using the definition of ¢,, once again, (4.18), (4.19) and (4.24), we get

lgn — xull < llgn — yull + lyn — wall + llwp — xnll- (4.25)

And consequently from (4.25), we conclude that

lim |g, — xu|l = 0. (4.26)
n—o0

Applying the condition on «,,, the Assumption 3.2(b) and the estimate (4.26), we obtain

lwn —gnll <
=<
<

ayllxo — CIn” + (A —ap)llx, — Qn” + O llxn — xp—1|
22(1 = p)Ix0 — gnll + I1x0 — gull + O llxn — X1l
2110 — gull + %0 — gull + 6 llxn — xn—1 |

Thus, we obtain from (4.27) that

5 " 726,
7, Ixo — 71 + llxn — gull + 2 [xp — Xp—1] = 0. (4.27)
n
lim ||lw, —¢nl =0. (4.28)
n—o0
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Finally, applying the condition of 7, in the inequality below, using (4.26), we get that

lxn+1 — xnll < Tl f(wp) — xull + (A = w)llgn — 20l = 0. (4.29)
Therefore,
lim |[x,41 — xu|l =0. (4.30)
n—oo

Because {x,} is bounded (see Lemma 4.1), there exists a subsequence {x,, } of {x,} such that
{xn, } weakly converges to some g as k — oo and

limsup(x, — x*, f(x*) —x%) = Jim {x, — X fOT) —xT) = (g — X7, f(T) —x").

(4.31)

Since x,, —¢q and ||lw, — yu |l = |lw, — Pc(w, — A, Aw,)|| — 0 by Lemma 2.11, we obtain
q € VI(C, A). Furthermore, since ||z, — x,|| = 0, z,, —~¢ and lim,, .« ||z, — Tz, || = O,
we get from these facts that ¢ € F(T). Therefore, g € VI(C, A) N F(T), thatis, g € T.
Also, by p= PV](C,A)QF(T)(O), we get

lim sup(x, — x*, f(x™) —x™) = (g — x*, f(x*) —x¥) <O0.

By our estimate that ||x,+; — x,|| = 0, we obtain

lim sup(x, 11 — x*, f(x*) —x*) <0.
n—oo

Therefore, using (4.12), (4.13), (4.31) and Lemma 2.9, we find that the sequence {x,} con-
verges strongly to q.

Case 2: There exists a subsequence {||x,, — p||2} of {|lx, — p||2} such that ||x,, — p||2 <
1% +1 — p||2 for all k € N. It follows from Lemma 2.12 that there exists a nondecreasing
sequence {my} of N such that limy_, o and the following inequalities hold for all k € N :

I2m, — I < X1 — pI? and |xk — plI* < xme+1 — pII* (4.32)

From Lemma 4.3, we get that

Ay Ay W
(1= T = ) [ — Y 12+ (1= 22 1z, — Yy ]
)\mk+l )Lkarl
< N2y — PI? = 1Xmg+1 — I + T Ko
=< Tm; Ko. (4.33)

Using (4.33) together with assumptions in {A,} and {z,}, it follows that
lim (wpy, — Ym, || =0, im ||z, — ym, || =0 and  lim [[wp, — zm | = 0. (4.34)
k—o00 k—o00 k— 00
However, from Lemma 4.4, we obtain
o= DA = tw)lzm = Tzmell < lwm, = pI* = llgm, — p1I*. (4.35)
Using Lemma 4.1, it follows from (4.35) that
lim ”ka - szk ” =0.
k— 00
Furthermore, by the same argument in case 1, we have

lim sup(xp,, 41 — x*, f(x*) —x*) < 0.
k—00
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It follows from (4.12) and (4.32) that

ka+1M0 + (f(X*) _X*vxkarl _X*>>

||xm/<+l - X*”2 <(1- {mk)”xmk - X*”2 + é-mk< 1—p

and hence

ka+lM0 + <f(x*) - -X*a xkarl - .X'*))

2
fmk”xmk—}—l - x*” =< {mk< 1—p

Since &, > 0 and using (4.32) we get

TnlkJr]M() + (f(x*) — X*,xmk+1 — x*))

ke — X1 < [xmg1 — x*)I* < (
L—p

Taking the limit in the above inequality as k — oo, we conclude that x; converges strongly
to g = Pr f(gq). This completes the proof of Theorem 4.5. O

5 Numerical illustrations

Let H = (lz(R), ||.||12), where [ (R) := {x = (x1,x2,x3,...), x; € R: Zf’il |xi|2 < o0}

1
and ||x||12 = (Zloil |x,~|2)2 , Vx € h(R).Let C = {x € b(R) : ||x — all, <r}, where

a= (1, 3 é ---),r = 3. Then C is a nonempty closed and convex subset of />(R). Thus,

if x ellx—all, <r,

X,
Pc(x) = i
Te—all;

Now, define the operators A, f, T : L(R) — L(R) by

Ag - ai + lai|l az+|azl a;i + la;|
a — ) g seey
2 2 2

r +a, otherwise.

1 —11
,...), fla) = ga, T(a) = Ta Va € [p.

Then A is Lipschitz continuous and monotone with Lipschitz constant L = 1, f is a con-

traction with p = % and T is a demi-contractive mapping with o = %.

Furthermore, we choose A = 1, u = 0.5, 7, = nlﬁ, a, = %, Bn = 100ﬁ+2 and

n =

. en .
— [mln {0’ Ixn —=xn—1l ] ’ lfxn 7+_ Fn—1

s otherwise,
where ¢, = nLZ and & = 0.3. Then, we consider the following cases for the numerical
experiments.
Case 1: Take x| = (1, 5 )andxo_(;,— io S
Case 2: Takexl—(z,1 % )andxo_(l,z,;...).

Case 3: Take x; = (1, 1, §,---)andxo = (3, . 5.+ *).
The stopping criterion is TOL,, < 107>, where TOL,, = 0.5||x, — T (PC (x, — x)) 2. Note
that TOL,, = 0 implies that x;, is a solution.

Remark 5.1 The numerical illustration 5 is provided to check the general performance of our
Algorithm 3.3. The Table 1 and Fig. 1 show the time it takes and number of iterations it takes
for the recursive sequence to converge in the cases 1 to 3 stated above.
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Table 1 .Numerical results Algorithm 3.3
summarizing the performance of
our Algorithm case 1 CPU time (s) No. of iteration 0.2331 1251
case 2 CPU time (s) No. of iteration 0.1947 1250
case 3 CPU time (s) No. of iteration 2.1289 8072
10'g 102
I 101 E 3
100 3 k.

B 102
S 10

108

0 200 400 600 800 1000 1200 1400 0 200 400 600 800 1000 1200 1400
Iteration number (n) Iteration number (n)

10
10°
102

10"

TOL

.
0 2000 4000 6000 8000 10000
Iteration number (n)

Fig.1 The behavior of TOL,, with ¢ = 1073; Top Left: Case 1; Top Right: Case 2; Bottom Right: Case 3

6 Conclusion

In the real Hilbert space setting, we have proposed subgradient extragradient methods for
approximating a common solution for variational inequality problems and fixed point prob-
lems. We obtained a strong convergence under some mild assumptions, that is, the associated
single-valued operator A is monotone and Lipschitz continuous. Furthermore, we have
adopted self-adaptive stepsize which is generated at each iteration. An appropriate com-
putational experiment is provided to support our theoritical argument. Our algorithm is an
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improvement to the recent work of [33, 37, 38] among other already announced results in
this direction.
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