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Abstract
This study focuses on examining the mediating effect of job performance on the relationships between positive and negative
affective states with job satisfaction of academics in Malaysian universities and colleges. Additionally, addressing organizational
diversity, a gender comparison analysis was performed to extend the results. Data were collected from 2337 academics and Partial
Least Squares (PLS-SEM) method was applied to analyze the data. The results revealed that the impacts of positive and negative
affect on job satisfaction were meaningful. Also, empirical evidence was only found for the mediating role of job performance on
the relationship between positive affect and job satisfaction. Lastly, the permutation-based multigroup analysis showed a signif-
icant difference between male and female academics with respect to the positive affect-job satisfaction linkage. Implications and
future directions were elaborated.
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Introduction

Higher education contributes significantly to society through
training scholars and equipping them with essential knowl-
edge and skills to leave an impact on the society and opt for
positive changes. In line with that, due to their wide scope of
job descriptions, academicians play a salient role in higher
education to hit national development targets. However, uni-
versities around the world have witnessed major challenges,

turnarounds and transformations within the higher education
industry too (Ghasemy et al. 2018b). Among these change
forces faced by higher education institutions, issues such as
internationalization and globalization in higher education
(Rostan and Ceravolo 2015), wide utilization of information
technology in academic context (Scott et al. 2012), and the
new fundraising approaches in higher education (Teixeira and
Koryakina 2013) appear to be among the trending issues.
Therefore, given the constantly shifting higher education en-
vironment and confronting with emerging challenges, it is
vital to examine academics’ attitudes and behaviors to ensure
their happiness at workplaces (Okpara et al. 2005) and in-
crease their productivity. For this reason, the physical and
mental wellbeing of academicians have garnered the attention
of scholars.

The review of the literature identifies a wide range of pre-
dictors for job satisfaction (Bozeman and Gaughan 2011;
Machado-Taylor et al. 2016) and job performance (Ghasemy
et al. 2018a; Scott et al. 2012) in academic settings. In addi-
tion, from a psychological perspective, both negative and pos-
itive affect have been emphasized as the determinants of job
performance and job satisfaction at workplaces (Weiss and
Cropanzano 1996). These negative and positive affective
states, which fluctuate over time, provide an environment for
the academicians to work as the content and happy employees
or hopeless and unhappy academic staff.
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Even though the topic of positive and negative emotions in
organizational research has not grabbed as much attention as
job satisfaction has, research in this area has gained distinction
due to the emergence of new theories and the development of
new instruments (Whitman et al. 2010). For instance, one of
the considerable research findings indicated overwhelming
evidence demonstrating how positive affect contribute to var-
ious personal and professional outcomes (Hu and Kaplan
2015). This finding was consistent with findings of Cerci
and Dumludag (2019) who, guided by Affective Events
Theory (AET) (Weiss and Cropanzano 1996), found empirical
evidence for the strong linkages between life satisfaction and
job satisfaction in the academic ecosystem with factors such
as mobbing, time for research, formal/ informal pressure, and
subjective job security. In another study in the Malaysian
higher education (Abdul Karim 2008), evidence was found
for the correlation between librarians’ job satisfaction and
other organizational variables namely, job independence,
affective commitment, job performance feedback,
organizational tenure, role clarity, and role conflict. In
addition, linking emotions with attitudes such as job
satisfaction, Glasø et al. (2011) suggested that negative emo-
tional experiences such as bullying at the workplace can result
in low job satisfaction and eventually make the employees
leave their jobs, as a judgment-driven behavior (Weiss and
Cropanzano 1996). In the same vein, and mainly in the higher
education context, positive faculty perceptions and institution-
al environment would significantly contribute to the faculty
members’ job satisfaction (Webber 2018).

It is noticeable that not only organizational variables have
been scrutinized with respect to their impacts on outcomes
such as job satisfaction and job performance, demographic
factors (e.g. gender) which address the issue of organizational
diversity within different organizational domains
(Schermerhorn et al. 2010), have been remarkably considered
by the researchers (Janssen and Backes-Gellner 2016; Wilson
2016). More specifically, gender has been viewed as a signif-
icant factor in influencing job satisfaction (Cerci and
Dumludag 2019). In alignment with this, there are some stud-
ies demonstrating that male faculty members are generally
more satisfied than female faculty members, especially with
respect to the benefits and salary that they receive (Bilimoria
et al. 2006; Callister 2006; Settles et al. 2006). However,
Sabharwal and Corley (2009), looking at differences in job
satisfaction across disciplines and gender, came up with a
contradictory finding. In their study, although female faculty
members earned less than male faculty members, their overall
job satisfaction level was higher due to the intrinsic factors
leading to the contentment among the female. Moreover,
while there are some debates which suggest that male and
female seek for different values at workplaces that result in
different levels of job satisfaction and job performance,
Sloane and Ward (2001) did not find gender as a determining

factor in overall job satisfaction among academicians in
Scottish higher education due to the equality of job expecta-
tions between the male and the female.

This said, it is evident that there are controversies over
the issue of the impact of gender on job satisfaction. In
addition, as highlighted by Schermerhorn et al. (2010),
while job satisfaction and job performance have been
two main organizational outcomes, the direction of the
relationship between them is not much clear though the
direction from job performance to job satisfaction appears
to be more justifiable. Moreover, whereas a scarce number
of studies were identified focusing on affective states and
their influences on job performance and job satisfaction of
academics in higher education ecosystems, the analytical
approaches in examining these effects in the context of
other disciplines were not as sound as expected, thereby
posing a methodological gap in this area. To address these
issues and guided by AET (Weiss and Cropanzano 1996),
the purpose of the study in hand is to examine the degree
to which positive and negative affective states influence
job satisfaction of male and female academics in
Malaysian universities and colleges. Additionally, this
study investigates the mediating role of job performance
on the linkages between affective states with job satisfac-
tion. What is more, to address organizational diversity and
the highlighted controversies in this area in higher educa-
tion research, gender has been taken into account in order
to extend the results since group composition (identifying
differences based on gender in our study) can enrich the
analysis with further particularized findings, conclusions
and implications (Hair et al. 2019) in Malaysian context.
In other words, this study seeks to find the differences
between female and male lecturers based on the proposed
literature-driven and theoretically supported model so that
policymakers and the main role players in higher educa-
tion may be able to help establish emotionally safe and
productive universities.

Notably, the issues of job satisfaction and at-home affect
link are considerably important since employees struggle with
work-life balance in today’s high-tech and always-connected
environments (Schermerhorn et al. 2010), specifically in the
shifting and competing higher education environment, provid-
ing a more substantial rationale for undertaking this research
work. In addition, the examination of the impact of em-
ployees’ affective reactions on workplace situations has been
an important and promising area of social research (Porath and
Pearson 2012). Lastly, it should be highlighted that there is
evidence for the relationship between some forms of job dis-
satisfaction and counterproductive work behaviors that aim at
purposely disrupting relationships, organizational culture or
performance in the workplace (Dalal 2005), thus warranting
this study focusing on job performance and job satisfaction of
academics.
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Theoretical Framework

To investigate the impact of positive and negative affect on job
performance and job satisfaction, this study largely benefited
from AET. Initially, AET was pioneered by Weiss and
Cropanzano (1996), as illustrated in Fig. 1, with the primary
notion that work events, either related to people or situations,
can influence emotions and moods which subsequently result
in affect-driven behaviors (i.e., job performance) and attitudes
(i.e., job satisfaction). Additionally, the theory argues that dis-
positions moderate the relationship between work events and
affective reactions and attitudes are viewed as the main causes
of judgement-driven behaviors.

As elaborated by Watson et al. (1988), negative affect re-
flect emotions subsuming a variety of aversive mood states,
including anger, contempt, disgust, guilt, fear, and nervous-
ness while enthusiasm, inspiration and appreciation are some
examples of positive affect. Additionally, job satisfaction, as
an attitude, has been defined as a positive or negative evalua-
tive judgment of one’s job or job situation (Weiss and
Cropanzano 1996) and job performance, as an affect-driven
behavior (Weiss and Cropanzano 1996), is seen as a means to
reach a goal or set of goals within a job, role, or organization
(Campbell 1990). It is noteworthy that while job satisfaction
does not capture affective experiences, these experiences or
reactions are helpful in determining the overall attitude (Weiss
and Beal 2005).

Despite AET considers affective events intra-organization-
al, Ashton-James and Ashkanasy (2005) proposed that affec-
tive events can be inter-organizational as well and can be
prompted by external factors such as stock market, foreign
exchange fluctuations and many other external factors which
can ultimately influence employees’ organizational attitudes
and behaviors.

Figure 2 illustrates the conceptual framework of this study
that has been developed based on AET. Particularly, given the
complexity of the macrostructure of AET as evidenced by the
number of constructs and linkages, we focused on the casual
linkages among affective states, job performance (an affect-
driven behavior), and job satisfaction (an attitude). In addition,

due to the controversies over the direction of the relationship
between job performance and job satisfaction (Judge et al.
2001; Schermerhorn et al. 2010), this effect was added to the
model. More specifically, this causal effect running from job
performance to job satisfaction was in alignment with the
previous organizational behavior research studies as it gener-
ally makes sense that when the employees perform well, they
should feel good and be satisfied with their jobs
(Schermerhorn et al. 2010). Moreover, while the impact of
gender on the entire model has been demonstrated as a non-
directional hypothesis, we controlled for three binary variables
namely, experience outside higher education, nationality, and
marital status and estimated their effects on job satisfaction to
increase the accuracy of the results and address the issue of
endogeneity (Hult et al. 2018). As advised by Bernerth and
Aguinis (2016), we considered these control variables since
they appeared to be integral to our model based on their rele-
vancy to the Malaysian higher education landscape and could
be reliably measured.

The conceptual framework, in line with previous research
studies such as Fisher (2000, 2002), demonstrates that both
positive and negative affective states have impacts on job
satisfaction. Particularly, the relationship between positive af-
fect and job satisfaction is positive (Webber 2018) and the
relationship between negative affect and job satisfaction is
negative (Glasø et al. 2011). Moreover, Judge et al. (2006)
found evidence for the positive influence of the perception
of interpersonal justice and negative impact of state hostility
on job satisfaction.

H1: Positive affect increase job satisfactionwhile control-
ling for selected demographic factors.
H2: Negative affect decrease job satisfaction while con-
trolling for selected demographic factors.

In the same vein and as quoted by Zagelmeyer et al. (2018),
there is increasing literature in the context of work and work-
places focusing on the influence of emotions on cognitions,
attitudes, and behaviors (Elfenbein 2007). For instance, Li
et al. (2018) in their study in the context of medical centers

Work Environment 
Features

Work Events

Dispositions

Affective Reactions

Judgement-Driven 
Behaviors

Work Attitudes

Affect-Driven 
Behaviors

Fig. 1 Affective Events Theory
or AET (Weiss and Cropanzano
1996)
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examined the negative influence of violence in emergency
departments on outcomes namely, nurses’ leave intention
and avoidance behaviors, albeit through negative affect. In
addition, Ayoko and Härtel (2003) found evidence for the
r e l a t i o n s h i p b e tw e e n bu l l y i n g emo t i o n s a n d
counterproductive behaviors. As another example, Atkinson
et al. (2018) found support for the relationship between psy-
chological contract breach, as a work event, and specific or-
ganizational citizenship behaviors, as affect-driven behaviors,
mediated by the feelings of violation and the reassessment of
relational contracts. Given that job performance is viewed as
an affect-driven behavior (Weiss and Beal 2005) and the con-
siderable evidence for the contribution of job performance to
job satisfaction (Christen et al. 2006; Judge et al. 2001;
Schermerhorn et al. 2010) it may be hypothesized that job
performance plays the role of the mediator between affective
states and job satisfaction, as presented in the conceptual
framework.

H3: Job performance positively mediates the relationship
between positive affect and job satisfaction while controlling
for selected demographic factors.

H4: Job performance negatively mediates the relationship
between negative affect and job satisfaction while controlling
for selected demographic factors.

Lastly, the relationship between job satisfaction and
gender has long been in focus in higher education research
(August and Waltman 2004; Bilimoria et al. 2006; de
Lourdes Machado-Taylor et al. 2016; Oshagbemi 1997,
2000; Ropers-Huilman 2000; Settles et al. 2006). While
some studies have found higher levels of job satisfaction
for male academics (Bilimoria et al. 2006; Callister 2006;

Settles et al. 2006), there is contradictory evidences that
the female academics are more satisfied (Okpara et al.
2005; Oshagbemi 1997). Moreover, there are other studies
which have concluded equality of job satisfaction between
male and female academics (Ward and Sloane 2000).
Besides the contradictory findings with respect to the im-
pact of gender on job satisfaction, the effect of gender on
various work aspects (Cohn 2019) and the strong theoret-
ical discussions on its role in organizations (Ely and
Meyerson 2000) were the main reasons for the develop-
ment of H5. Importantly, we considered a multigroup anal-
ysis to provide more insights into the impact of gender on
the linkages within the entire proposed model.

H5. There is a difference between male and female aca-
demics in terms of the entire proposed model while control-
ling for selected demographic factors.

H5a: There is a difference between male and female ac-
ademics in terms of the relationship between positive
affect and job satisfaction while controlling for selected
demographic factors.
H5b: There is a difference between male and female ac-
ademics in terms of the relationship between negative
affect and job satisfaction while controlling for selected
demographic factors.
H5c: There is a difference between male and female ac-
ademics in terms of the relationship between positive
affect and job satisfaction through job performance while
controlling for selected demographic factors.
H5d: There is a difference between male and female ac-
ademics in terms of the relationship between negative

Positive 
Affect

Negative 
Affect

Affect-driven 
Behavior (Job 
Performance)

Attitude (Job 
Satisfaction)

Control Variable 
(Nationality,
Experience,

Marital Status)

H1 (+)

H2 (-)

a

b

c

H3 (+) = Positive Affect Job Performance Job Satisfaction (a × c)
H4 (-) = Negative Affect Job Performance Job Satisfaction (b × c)

Gender

(H5)

Fig. 2 Conceptual framework
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affect and job satisfaction through job performance while
controlling for selected demographic factors.

Method

Research Design

This study is purely quantitative in nature. More specifically, it
is a cross-sectional survey design study that is underpinned by
the post-positivism worldview assumptions (Creswell 2012)
and focuses on Malaysian academics’ affective states, behav-
iors, and attitudes.

Analytic Procedure

Following the guidelines proposed by Henseler (2018), since
the study was predictive-explanatory, Partial Least Squares
Structural Equation Modeling (PLS-SEM) was selected as
the method of analysis. Particularly, the prediction errors, pre-
dictive relevance of the effects, endogenous variables’ R2, the
statistical inference of path coefficients, and effect sizes were
mainly in focus. The selection of the method was due to four
reasons namely, testing a theoretical framework from a pre-
diction perspective, increasing complexity by exploring theo-
retical extensions of established theories, the existence of
composites within the model estimated in Mode A (Cepeda-
Carrión et al. 2019; Hair et al. 2019) and mediator analysis
(Hair et al. 2017). Notably, PLS-SEM is a recommended ap-
proach in mediator analysis since it is based on the
bootstrapping procedure which makes no assumption about
the shape of the variables’ distribution and is capable of being
more confidently applied to small sample sizes (Hair et al.
2017).

Lastly, SmartPLS 3 software package was employed
(Ringle et al. 2015) to evaluate all the reflective measurement
models, also known as Mode A measurement models (Hair
et al. 2017), as well as the structural model.

Participants

The participants are the academicians working in institutions
of higher learning in Malaysia. While the Malaysian higher
education system has clearly categorized the higher education
institutions into public and private, as they are controlled dif-
ferently by different rules and regulations, they have been
viewed as integral parts of higher education system rather than
being considered as opponents (Wan et al. 2015).
Additionally, based on the statistics published by the
Ministry of Education Malaysia and Malaysian Qualification
Agency in 2019, there are 5 public research universities, 4
public comprehensive universities, 11 public focused

universities, 34 public polytechnics, 227 public community
colleges, 82 private universities, 42 private university col-
leges, and 396 private colleges in Malaysian higher education
sector. It is noteworthy that the data were collected randomly
via an online data collection and management platform.

Measures and Covariates

In this study, data for positive and negative affective states
were collected using the Positive and Negative Affect
Schedule, or PANAS, (Watson et al. 1988). This scale consists
of 20 words that describe different feelings and emotions such
as determined, excited, scared, and upset. The respondents
were asked to describe how they felt at work on the average
based on a 5-point Likert scale from 1 (very slightly) to 5
(extremely).

With respect to job performance, the scale developed by
Miller and Cardy (2000) was employed to collect data. This
scale contained of 9 items that did not refer to any job-specific
performance behaviors, thus were applicable in diverse orga-
nizations such as university domains. It is noteworthy that the
items of this scale were converted from third-person voice to
first-person voice. Example items are “I complete work in a
timely and effective manner” and “When I want to reach a
goal, I am usually able to succeed”. The respondents were
asked to rate each item on a 5-point Likert scale from 1
(strongly disagree) to 5 (strongly agree).

Job satisfaction was operationalized using the 10-item ge-
neric job satisfaction scale developed by Macdonald and
Maclntyre (1997). It is noticeable that the term “company”
in one of the items changed to “institution”. The sample items
are “I feel close to the people at work”, “I feel good about my
job”, and “All my talents and skills are used at work” and the
respondents rated the items using a 5-point Likert scale from 1
(strongly disagree) to 5 (strongly agree).

Given that the study is predictive-explanatory and to ad-
dress the issue of endogeneity (Hult et al. 2018), three control
variables namely, marital status (married and single), nation-
ality (local and international), and having experiences outside
higher education (yes and no) were added to the proposed
model. Notably, the section of marital status and work expe-
rience was due to their considerable usage in many social
sciences research studies (Bernerth and Aguinis 2016).
Additionally, we considered nationality as the third control
variable as there have been 4462 international academic staff
working in Malaysian higher education sector based on the
2018 statistics published by the Ministry of Education
Malaysia.

Sampling Procedures and Sample Size

We created a database of 31,493 email addresses of the aca-
demics inMalaysian higher education, as the target population
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of this study, and used it as the input for SurveyMonkey online
survey administration platform. We also added a covering
page containing guidelines on how to complete the survey
and ethical issues such as respecting the privacy of the respon-
dents as well as the voluntariness nature of the study. The
survey was distributed and overall, 2455 surveys were re-
ceived through a simple random sampling method
(Response Rate = 7.7%) of which, 114 surveys had been par-
tially completed and removed from the data. Since there were
less than 5% values missing per indicator (Hair et al. 2017) in
our final data, they were dealt with through replacement with
the median of all nearby points. Notably, as highlighted by
Tabachnick and Fidell (2013), when only a few data points
(≤5%) are missing in a random pattern and the dataset is large,
the problems related to the missing data treatment are less
serious and almost any procedure for predicting and replacing
missing values results in similar statistics. Next, two items of
job performance were reverse-coded to make them consistent
with other items of that scale. In addition, the computation of
squared Mahalanobis distance to detect multivariate outliers
(Byrne 2016) revealed the presence of 4 extreme outlying
cases that were excluded from the dataset. The removal of
the outlying cases was mainly due to the fact that they were
considerably different from other cases as well as their poten-
tial influence on the findings (Hair et al. 2017). The demo-
graphic profile of the 2337 Malaysian academics, as the final
sample in our study, has been shown in the ensuing Table 1.

Common Method Bias

Arguably, as quoted by Ali et al. (2018), there is disagreement
with respect to the applicability of Common Method Bias
(CMB) in the context of PLS-SEM and this issue is not a main
concern in PLS-SEM applications. However, given the exis-
tence of behavioral constructs within the proposed model, the
recent method of full collinearity assessment (Kock 2015;
Kock and Lynn 2012) was adopted to detect potential CMB
situations. Specifically, CMB is undesirable since it is caused
by the measurement method rather than by the network of
causes and effects in the model under scrutiny in the context
of PLS-SEM (Kock 2015). According to Kock (2015), when a
Variance Inflation Factor (VIF) achieves a value greater than
3.3, it is viewed as an indication of pathological collinearity,
warning that the model being contaminated by CMB.

Table 2 summarizes the results of full collinearity assess-
ment, indicating no cause for concern in this regard.

Results

To analyze the data, guidelines proposed by Hair et al. (2019)
and Shmueli et al. (2019) were followed to evaluate the com-
posites estimated in Mode A, the structural model, and the

out-of-sample predictive performance of the model. In addi-
tion, the results of the analysis were extended through testing
measurement model invariance via Measurement Invariance
of Composite Models (MICOM) approach (Henseler et al.
2016), followed by running a permutation-based multigroup
analysis (Hair et al. 2018) to detect gender differences based
on the linkages within the entire model.

Assessment of the Measurement Models

The first step in evaluating reflective measurement models or
the composites estimated in Mode Awas to assess the reliabil-
ity of the items by examining composites’ loadings or corre-
lation weights (Hair et al. 2018). As highlighted by Hair et al.
(2019), a loading above 0.708 is recommended for each indi-
cator as it ensures that the item communality is above 0.5
(Hair et al. 2017) and in other words, the construct explains
more than 50% of the indicator’s variance. Following this
guiding principle, non-contributing items were dropped from
all the scales.

The second step was to evaluate internal consistency reli-
ability. For this purpose, Cronbach’s alpha, as a too conserva-
tive estimate of reliability, and Composite Reliability (CR), as
a too liberal measure to estimate reliability, were considered
(Hair et al. 2017; Hair et al. 2019). In addition, the newly
introduced measure known as Rho_A (Dijkstra and Henseler

Table 1 Demographic Profile of the respondents (N = 2337)

Gender Frequency Percent

Male 890 38.1

Female 1447 61.9

Age Frequency Percent

Below 30 95 4.1

31 to 40 996 42.6

41 to 50 799 34.2

51 to 60 364 15.6

Over 60 83 3.6

Marital Status Frequency Percent

Single 455 19.5

Married 1882 80.5

Background Frequency Percent

Science 578 24.7

Social Science 999 42.7

Engineering 504 21.6

Medical and Dental 256 11.0

University Type Frequency Percent

Public University 1777 76.0

Public Polytechnic 235 10.1

Private University 246 10.5

Private University College 79 3.4
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2015), was estimated. As elaborated by Hair et al. (2019), the
reliability estimates should fall between 0.7 and 0.95.

Next, convergent validity was assessed through evaluation
of the Average Variance Extracted (AVE) metric, which
should be above 0.5, as the indication of the establishment
of this type of validity (Hair et al. 2017; Hair et al. 2019).

Table 3 displays the results of examining loadings, reliabil-
ity estimates and AVE. As displayed in Table 3, all the load-
ings were above 0.708, reliability estimates were within the
accepted ranges, and AVEs were above 0.5. This implied the
establishment of indicator reliability, internal consistency reli-
ability, and convergent validity based on the latest guidelines
proposed by Hair et al. (2019). Additionally, descriptive sta-
tistics with respect to the items have been displayed in
Appendix 1. Table 10.

The last step in evaluating measurement models was to
assess discriminant validity (Hair et al. 2019). For this pur-
pose, the Heterotrait-Monotrait or HTMT (Henseler et al.
2015) and Fornell-Larcker (Fornell and Larcker 1981) criteria
were applied. Typically, for conceptually similar constructs,
HTMT values above 0.9 would suggest the lack of discrimi-
nant validity between the constructs and with respect to the
conceptually distinct constructs, HTMT values less than 0.85
are the indications of discriminant validity (Henseler et al.

2015). Regarding Fornell-Larcker criterion, the square root
of the AVE value of each construct should be greater than its
correlation with other constructs. As displayed in Table 4, all
the HTMT values were less than 0.85, implying the establish-
ment of discriminant validity based on HTMT0.85 criterion. In
addition, all the correlations were smaller than the square root
of AVEs, thereby suggesting discriminant validity based on
Fornell-Larcker criterion.

Assessment of the Structural Model

Structural model evaluation involves assessing collinearity
among the exogenous constructs, testing the significance
and relevance of path coefficients as well as indirect effects
and total effects (if needed), examining model’s predictive
accuracy followed by assessing model’s out-of-sample predic-
tive power, and model comparison, if necessary (Hair et al.
2019).

To assess collinearity among the constructs, VIF values of
the exogenous construct were focused. Notably, while VIF
values should not be greater than 5, values less than 3 are
viewed as ideal values (Hair et al. 2019). The initial examina-
tion of VIF values showed that all the values were ideally less
than 2, indicating no cause for concern with respect to collin-
earity issues.

Next, given the direction of the hypotheses, a one-tailed
test of bootstrapping routine at 5% significance level and with
10,000 bootstrapping subsamples was run (Streukens and
Leroi-Werelds 2016) to check the significance of the paths.
With respect to the impact of control variables on job satisfac-
tion, a two-tailed test of bootstrapping routine at a 5% signif-
icance level with the same number of subsamples was consid-
ered. In addition, in line with the new recommendations by
Aguirre-Urreta and Rönkkö (2018) in terms of statistical in-
ference using bootstrapped confidence intervals, percentile
confidence intervals were examined in this analysis.

The results of significance testing of path coefficients (di-
rect effects), R2 values known as explanatory power (Shmueli
and Koppius 2011), percentile confidence intervals, R2 de-
composition values, along with the f2 values of the exogenous
constructs on R2 values have been displayed in Table 5.

As displayed in Table 5, focusing on job satisfaction, the
size of the effect of positive affect on this construct was the
biggest in comparison with other exogenous constructs linked
to it. In addition, both H1 (+) and H2 (−) were supported
empirically. It is important to highlight that while the effect
of job performance on job satisfaction was significant, it did

Table 3 Loadings, reliability estimates, and convergent validity

Construct Item Loading Alpha Rho_A CR AVE

Negative affect NA2 0.825 0.884 0.891 0.915 0.683
NA4 0.801

NA6 0.840

NA7 0.830

NA9 0.833

Positive affect PA1 0.838 0.889 0.892 0.923 0.751
PA5 0.906

PA6 0.858

PA9 0.862

Performance PER6 0.768 0.825 0.835 0.883 0.655
PER7 0.815

PER8 0.789

PER9 0.862

Satisfaction SAT3 0.872 0.850 0.863 0.893 0.627
SAT4 0.719

SAT5 0.771

SAT9 0.739

SAT10 0.848

Table 2 Full collinearity VIFs
Variables Positive

Affect
Negative
Affect

Satisfaction Performance Experience Nationality Marital
status

VIF 1.874 1.341 1.946 1.266 1.021 1.018 1.031
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not appear to be relevant due to the small size of the path
coefficient which often occurs when the sample size is large
(Hair et al. 2017).1 Focusing on job performance, only the
effect of positive affect on this construct was significant.

It is important to highlight that the examination of the ex-
plained variance values shows that 9.2% of the variation in job
performance was determined by positive affect and 47.8% of
the variance in job satisfaction was defined by positive affect,
negative affect, and job performance. More specifically, the
decomposition of the R2 value shows that 13.2% of the job
satisfaction’s explained variance corresponds to negative af-
fect, 1.9% corresponds to job performance, and 32.2% corre-
sponds to positive affect. Contrasting R2 values with the
guidelines for assessing explanatory power (0.19 = weak,
0.33 = moderate, 0.67 = substantial) proposed by Chin
(1998) showed that while explanatory power for job perfor-
mance was relatively weak, it was above the moderate level
for job satisfaction.

Additionally, due to the significant indirect effect of posi-
tive affect on job satisfaction as well as the significant effect of
job performance on job satisfaction, job performance was
concluded to be a partial mediator in the relationship between
positive affect and job satisfaction, thereby supporting H3 (+),
as displayed in Table 6. Notably, since direct and indirect
effects were pointing at the same direction, the mediation type
was complementary (Hair et al. 2017). Moreover, the results
did not provide empirical evidence for the mediating role of
job performance on the relationship between negative affect
and job satisfaction. In summary, only three directional hy-
potheses out of four were empirically supported in this
analysis.

Next, PLSpredict analysis, albeit with the default settings,
was carried out to evaluate the out-of-sample predictive power
of the model.2 Through this analysis, the model’s ability to

generate accurate predictions of new interpretable observa-
tions is assessed. To this aim, the guidelines proposed by
Shmueli et al. (2019) were followed and to evaluate the re-
sults, the Mean Absolute Error (MAE) values for the PLS and
the Linear Model (LM) as well as the Q2_predict values for
the PLS model were focused. It is noteworthy that Q2_predict,
that compares the prediction errors resulted from PLS path
model against the errors from simple mean predictions, should
be positive to indicate that the PLS model offers an appropri-
ate predictive performance. Additionally, the prediction errors
of PLS-SEM (e.g., MAE values) should be smaller than the
prediction errors resulted from the linear model (LM), imply-
ing that a theoretically established model either improves or
doesn’t worsen the predictive performance of the available
indicator data.

Focusing on Q2_predict values, the results displayed in
Table 7 showed that all the Q2_predict values of the indicators
of job satisfaction and job performance, as the two target con-
structs in the model, were positive. In term ofMAE values, the
results revealed that none of the items of job performance in
the PLS-SEM analysis yielded greater prediction errors com-
pared to the naive LM benchmark, indicating a high out-of-
sample predictive power. However, with respect to job satis-
faction, 4 items of job satisfaction yielded greater prediction
errors in comparison with LM-based results, thereby implying
low predictive power with respect to job satisfaction.

Figure 3 displays the final model after taking all the steps in
evaluating measurement models and the structural model pro-
posed by Hair et al. (2019).

Multigroup Analysis

To run a permutation-based multigroup analysis (Chin and
Dibbern 2010) to compare male and female academics in
terms of the linkages within the model in order to test H5,
an assessment of measurement model invariance was per-
formed based on Measurement Invariance of Composite
Models (MICOM) approach (Henseler et al. 2016) to ensure
the quality of the results with respect to the multigroup anal-
ysis. This approach involves 3 steps namely, configural invari-
ance, compositional invariance, and full measurement model
invariance (Hair et al. 2018; Henseler et al. 2016).

1 Given the existing evidence in the literature in terms of the effect of job
satisfaction on job performance, we investigated this effect while we discon-
nected the controls from job satisfaction and connected them to job perfor-
mance. The results indicated that the path coefficient was small in size and
significant (b = 0.129, t = 3.89).
2 The Q2 values (Geisser 1974; Stone 1974) of job performance and job
satisfaction, as the combination of in-sample and out-of-sample predictive
performance (Sarstedt, Ringle, & Hair, 2017), were 0.055 and 0.281,
respectively.

Table 4 Discriminant validity
based on Fornell-Larcker and
HTMT0.85 Criteria

Construct Negative Affect Performance Positive Affect Satisfaction

Negative Affect 0.826 0.129 0.431 0.547

Performance −0.11 0.809 0.35 0.293

Positive Affect −0.392 0.303 0.867 0.723

Satisfaction −0.483 0.252 0.637 0.792

Diagonal elements (in bold) are the square root of the variance shared between the constructs and their measures
(AVE). Italic values above the diagonal elements are HTMT0.85 values. Values below the diagonal elements are
the correlations between constructs
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On the grounds of three criteria namely, identical items per
construct, identical data treatment, and identical algorithm set-
tings, configural invariance of the constructs was established.
In addition, compositional invariance was assessed based on
MICOM procedure through running a one-tailed permutation
test for the latent variables and a two-tailed permutation test for
the control variables at 5% significance level and with 5000
permutations to ensure that differences in the path coefficients
were not due to the differences in the ways the constructs had
been formed across the groups. For this purpose, and as elab-
orated by Hair et al. (2018), the correlation between the com-
posite scores was computed and the null hypothesis that this
correlation was equal to 1 was tested. The resulting non-
significant permutation p-values for each measurement model
was the indication of the establishment of compositional in-
variance for the constructs. With respect to the full measure-
ment model invariance assessment, the equality of composite
means, as well as variances, were focused (Hair et al. 2018;
Henseler et al. 2016). The outcome of the MICOM showed
that the means and variances of composites across male and

female groups were not equal, thus indicating the failure to
establish a full measurement invariance criterion. However,
group compassion was feasible since compositional invariance
had already been established, allowing to assume partial mea-
surement invariance (Henseler et al. 2016). The results of the
MICOM procedure has been displayed in Table 8.

The results of the permutation-based multigroup analysis
have been displayed in Table 9. As displayed in this table, the
magnitude of the path running from positive affect to job satis-
faction was statistically different between male and female
groups, with the path coefficient for the male group being larg-
er. In other words, the influence of positive affect on job satis-
faction was more considerable for male academics compared
with the female group in Malaysian universities and colleges.

Discussion and Conclusion

This study aimed at examining the effects of affective states on
job satisfaction and the mediating role of job performance

Table 6 Summary of the mediating effect test

Total effects on job satisfaction Direct effects on job
satisfaction

Indirect effects on job satisfaction

Path Total Effect p Value Path Direct Effect p Value Path Indirect Effect p Value PCI Significant? VAF (%)

Positive Affect
- > Satisfaction

0.528 0.000 H1 (+) 0.505 0.000 H3 (+) 0.023 0.000 [0.012, 0.034] Yes 4.36

Negative Affect
- > Satisfaction

−0.273 0.000 H2 (−) −0.274 0.000 H4 (−) 0.001 0.333 [−0.002, 0.004] No −0.37

PCI:

Percentile Confidence Interval; Bootstrapping based on n = 10,000 bootstrap samples; Paths from hypothesized effects assessed by applying a one-tailed
test at 5% of significance level [5%, 95%]; VAF: Variance Accounted For

Table 5 Effects on endogenous constructs

Construct Direct Effect t-Value p Value PCI Explained Variance (R2) f2

EC: Satisfaction (R2 = 0.478)

H1(+): Positive Affect 0.505 28.004 0.000 [0.474, 0.534] 0.322 0.377

H2(−): Negative Affect −0.274 14.181 0.000 [−0.306, −0.243] 0.132 0.120

Performance [c] 0.074 3.808 0.000 [0.042, 0.107] 0.019 0.009

CV: Experience 0.039 2.600 0.009 [0.009, 0.068] 0.000 0.003

CV: Nationality −0.035 2.141 0.032 [−0.067, −0.003] 0.000 0.002

CV: Marital Status 0.044 2.956 0.003 [0.015, 0.074] 0.006 0.004

EC: Performance (R2 = 0.092)

Positive Affect [a] 0.307 12.790 0.000 [0.268, 0.348] 0.093 0.088

Negative Affect [b] 0.011 0.445 0.326 [−0.029, 0.050] −0.001 0.000

EC:

Endogenous construct; CV: Control Variable; PCI: Percentile Confidence Interval; Bootstrapping based on n = 10,000 bootstrap samples;

Paths from hypothesized effects assessed by applying a one-tailed test at 5% of significance level [5%, 95%];

Effects from the control variables assessed by applying a two-tailed test at 5% of significance level [2.5%, 97.5%];
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within the proposed framework based on the data collected
from academics working in Malaysian higher education sec-
tor. In addition, the effect of gender on the proposed model
was addressed through a permutation-based multigroup anal-
ysis. Drawing upon AET (Weiss and Cropanzano 1996) and
based on the previous research findings on job performance-
job satisfaction linkage (Schermerhorn et al. 2010) as well as
the controversies over the impact of gender on job satisfaction
in academic settings (Callister 2006; Sabharwal and Corley
2009; Sloane and Ward 2001), a conceptual framework was
developed to guide the research. Notably, three control vari-
ables were added to the model to address endogeneity issues

(Hult et al. 2018) as a major cause for concern in explanatory
research works (Hair et al. 2019). Upon completing data col-
lection and screening, full collinearity assessment (Kock
2015) was run to detect potential CMB problems and PLS-
SEM approach was adopted for the main analysis.

The results with respect to the influence of positive and
negative affect on job satisfaction supported H1 and H2
and were generally in line with previous studies such as
Fisher (2002), Fuller et al. (2003), Glasø et al. (2011), and
Webber (2018) in other contexts. More specifically, the
results shed light on the importance of positive affect in
positively contributing to job performance as well as job
satisfaction, that is seen as an integral part of well-being
(Warr 2007). In other words, positive affect including be-
ing enthusiastic, inspired, alert, and proud were identified
as the determinants of job performance and job satisfaction
among academics. The empirical support for the signifi-
cant positive affect-job satisfaction linkage was also con-
sistent with the debate that experiencing and enjoying fre-
quent positive emotion can be one of the determinants of a
more satisfied, helpful, connected, and longer life em-
ployees (Lyubomirsky et al. 2005). Indeed, the benefits
of having a good feeling, as a positive emotion, can be
extended to the workplaces (Hu and Kaplan 2015) since
positive affective states cause outcomes such as a higher
level of job performance and a more prosocial behavior
(Dalal 2005) and forms more favorable job attitudes and
reactions (Judge and Ilies 2004).

Fig. 3 Final PLS model with path coefficients, loadings, and t-values

Table 7 PLSpredict results based on assessing MAE values

Indicator prediction summary

Indicator PLS LM MAEPLS-MAELM

MAE Q2 predict MAE

PER6 0.439 0.056 0.444 −0.005
PER7 0.481 0.059 0.486 −0.005
PER8 0.528 0.035 0.529 −0.001
PER9 0.481 0.079 0.487 −0.006
SAT3 0.520 0.357 0.510 0.010

SAT4 0.594 0.211 0.583 0.011

SAT5 0.687 0.26 0.666 0.021

SAT9 0.500 0.253 0.501 −0.001
SAT10 0.469 0.385 0.468 0.001

1230 Curr Psychol (2022) 41:1221–1236



It is notable that empirical evidence was not found for the
adverse impact of negative affect on job performance, while
its negative impact on job satisfaction was relatively consid-
erable. More specifically, negative affective states namely, be-
ing afraid, distress, nervous, ashamed, and irritable were
identified as elements reducing job satisfaction of academics
in Malaysian universities and colleges. This finding was not
surprising since, for example, Fisher (2002) had also found
significant zero-order correlations between affective states and
job satisfaction that reduced to non-significant levels in the
presence of other variables in the model. Similarly, in our
analysis, the zero-order correlation between negative affect
and job performance was statistically significant (r = −0.11
with confidence interval bounds of −0.148 and − 0.078) based
on one-tailed percentile bootstrapping test (see Table 4).
Therefore, given the non-significant path running from nega-
tive affect to job performance in our proposed model, H3 was
supported and H4 was rejected based on our analysis.

In addition, only positive affect-job satisfaction linkage
was found to be statistically different between male and fe-
male lecturers, with the effect being stronger for the male
group, thereby only supporting H5a among the group com-
parison hypotheses. While the size of the magnitude of the
difference is not large and perhaps practically relevant, the
difference might be due to different factors such as gender
discrimination at workplace that has placed women in an in-
ferior position compared with their male counterparts
(Benokraitis and Feagin 1995) and the structural barriers to
women’s access and advancement as well as the “fixing the
women” perspective as a gender equity approach (Ely and
Meyerson 2000).

It is remarkable that the effect of job performance on job
satisfaction was linear and significant, but not relevant, as
evidenced by the small magnitude of the coefficient of the
path (Hair et al. 2017) running from job performance to job
satisfaction. This echoed the fact that the impact of job perfor-
mance on model’s explanatory power (with respect to job
satisfaction) was very small, thereby indicating that job per-
formance was not a strong predictor for job satisfaction. While
irrelevancy of this effect was consistent with AET (Weiss and
Beal 2005; Weiss and Cropanzano 1996) as this theory does
not consider a direct link between these two variables, the
existence of this practically irrelevant but statistically signifi-
cant path was in line with the proposition made by
Schermerhorn et al. (2010) in terms of research findings ad-
dressing the link between individual job performance mea-
sured at one time and later job satisfaction, albeit through a
mediation mechanism. This was suggestive of more research
studies to understand the real relationship between job perfor-
mance and job satisfaction.

In a nutshell, while the contribution of affective states to
attitudes and behaviors in different context have been support-
ed through various research works, our results providedTa
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evidences for these linkages in the turmoil, shifting, and com-
peting higher education environment. Specifically, the con-
tributing role of positive affect was more vital as the determi-
nant for both job performance and job satisfaction of acade-
micians within the proposed model.

Implications

With respect to the implications for theory, while AET does
not assume a direct link between job performance and job
satisfaction, we considered a causal link between these two
constructs based on the grounds highlighted and addressed by
Schermerhorn et al. (2010). Although our analysis shed light
on the fact that job performance can be viewed as a mediator
in the relationship between positive affect and job satisfaction,
it was not considered as a practically relevant predictor of job
satisfaction due to the small magnitude of the coefficient of the
path running from job performance to job satisfaction. This
provided more stronger evidence for relevancy and applica-
bility of AET in higher education context, thereby providing
an avenue in future research in terms of studying the anteced-
ents and consequences of emotions of academics. In addition,
the trending issue of organizational diversity within university
domains was addressed in this study based on gender, provid-
ing support for the role of positive affect in causing a higher
level of job satisfaction for the male in comparison with the
female academics.

In terms of practical implications, the results suggested that
policymakers should primarily focus on creating conductive
working environments in academic ecosystems. Specific ex-
amples may be increasing the level of welfare, the involve-
ment of academics in management processes such as decision
making, fostering autonomy among the academics, and pro-
viding a higher level of supervisory support from the

universities’ management teams. Within these environments,
positive work events such as supervisory interactional justice
(Lam and Chen 2012) causes positive emotional responses
which in turn, can positively contribute to both job perfor-
mance and job satisfaction of academic staff. In addition,
policymakers may consider other factors that have been prov-
en to increase both job performance and job satisfaction such
as performance-contingent rewards (Schermerhorn et al.
2010). Given the two-way relationship between emotions
and moods and the fact that bad moods travel person-to-
person faster than good moods (Schermerhorn et al. 2010),
making policies to reduce negative work events which trigger
negative affective states are of high importance too.
Specifically, mood contagion can have inflationary and defla-
tionary effects on themoods of co-workers, teammates, family
members, and friends (Whetten and Cameron 1995).
Moreover, based on our model and the results of the multi-
group analysis, gender-specific policies may be developed
only with respect to positive affect-job satisfaction linkage.
In other words, the policies with respect to other linkages
within the model may be universal and applicable to bothmale
and female lecturers.

In terms of the methodological implications, the cur-
rent study, authored through a fresh and educative per-
spective, can serve as a guide highlighting the essential
steps in evaluating PLS path models based on the latest
proposed guidelines (Hair et al. 2019) and the demon-
stration of the application of advanced PLS methods
(Hair et al. 2018).

Limitations and Recommendations

The first limitation is related to the data collection
phase as data were not collected from the community

Table 9 Permutation-based multigroup analysis for path coefficients and indirect effects

Hypothesis Path Path
Coefficients
(Female)

Path
Coefficients
(Male)

Path
Coefficients
Difference
(Female - Male)

Permutation
p-Values

Hypothesis
Supported?

H5a Positive Affect - > Satisfaction 0.474 0.548 −0.073 0.022 Yes

H5b Negative Affect - > Satisfaction −0.298 −0.242 −0.056 0.077 No

H5c Positive Affect - > Performance
- > Satisfaction

0.023 0.023 0.000 0.491 No

H5d Negative Affect - > Performance
- > Satisfaction

0.000 0.002 −0.001 0.361 No

The effect of control
variables

Experience - > Satisfaction 0.029 0.053 −0.024 0.434 NA

Marital Status - > Satisfaction 0.044 0.043 0.001 0.968 NA

Nationality - > Satisfaction −0.038 −0.035 −0.003 0.915 NA

NA:

Not Applicable; Multigroup test based on 5000 permutations; One-tailed test at 5% significance level [5%, 95%] for group comparisons based on the
hypothesized effects; Two-tailed test at 5% significance level [2.5%, 97.5%] for group comparisons for the effects from control variables
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as well as private colleges. Hence, it is suggested to
collect data from these types of institutions in future
research in this area.

Even though this Malaysian study, as a large scale
cross-sectional study, has significantly added value to
the literature of the affective states, attitudes and behav-
iors in higher education literature, the longitudinal stud-
ies in the context of CB-SEM are suggested to address
the issue of the variability of affective states over time
(Mitchell 2011). It is due to the reason that based on
AET, affective states fluctuate over time and as a result,
the performance implications of affective states are de-
pendent on affective states at particular times (Weiss
and Beal 2005).

Also, while in this study job satisfaction, as one of the
main attitudes in workplaces (Schermerhorn et al. 2010),
was in focus, researchers are recommended to consider
other main job attitudes namely, job involvement, orga-
nizational commitment, and employee engagement in fu-
ture research guided by AET. Researchers can consider
examining the reciprocal relationship between job satis-
faction and job performance through other methods such
as Efficient PLS or PLSe (Bentler and Huang 2014) or
Maximum-Likelihood (ML) (Kline 2016) methods as
well.

Moreover, since the data of this study were analyzed at an
aggregate level, discipline-specific studies are recommended
for future research endeavors. It is also suggested to employ
independent and multi-item scales to measure each emotion
separately in order to improve the accuracy of the findings in
future research focusing on AET, as advised by Mitchell
(2011). Finally, PLS-SEM robustness checks (Sarstedt et al.
2019) are recommended to further substantiate the results of
PLS analysis.
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