
https://doi.org/10.1007/s11356-023-25482-y

REVIEW ARTICLE

The dynamic relationship between green tax incentives 
and environmental protection

Mariuam Shafi1 · Carlos Samuel Ramos‑Meza2 · Vipin Jain3 · Asma Salman4 · Mustafa Kamal5 · 
Malik Shahzad Shabbir6 · Masood ur Rehman7

Received: 7 November 2022 / Accepted: 18 January 2023 / 
© The Author(s), under exclusive licence to Springer-Verlag GmbH Germany, part of Springer Nature 2023

Abstract
The purpose of this study is to examine the impact of green tax incentives such as investment tax credit and taxable income 
deductions related to the environmental sustainability and climate change which are becoming more popular in developing 
countries, whereas introducing green tax incentives related to the environment and climate change helps and meets the 
sustainability objectives of growth and development. For this purpose, we selected the top 100 listed companies on the 
Swedish stock market (SSM), Nasdaq Stockholm (SN), in order to better understand the real facts and figures of green tax 
environment. This study uses a longitudinal research design because sample observations vary across firms and over a short 
time and conducts probit and logistic regression to identify the beneficiaries of the tax incentives. The findings show that 
different firm-level characteristics significantly impact the probability of being an ITC beneficiary.
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Introduction

Green tax incentives such as investment tax credit and 
taxable income deductions related to the environment and 
climate change are the frequently used tax incentives. Many 
countries worldwide are taking serious steps to counter the 
mounting challenges due to changing climatic conditions 
(Mao and Wang 2016). To meet the sustainability goals, 
Sweden has set a goal to lower greenhouse gas emissions by 
55% in 2030 as compared to 1990 (Dahlberg and Wiklund 
2018). In this regard, it is imperative to reflect on the green 
tax incentives provided by the Swedish government in terms 
of the investment tax credit. Investigating the beneficiaries 
of the Swedish government’s tax incentives related to the 
environment is significant in many instances.

However, Nordic countries were the first to introduce carbon 
taxes in the early 1990s. Sweden’s carbon tax was introduced in 
1991 to mitigate the changing climatic conditions worldwide and 
within the country. This specific green tax policy was aimed at 
reducing greenhouse emissions cost-effectively and promoting 
the environment by developing and deploying clean technologies 
(Jagers and Hammar 2009). Pricing carbon emissions is the 
manifestation of the green tax increase. Sweden’s government 
derived the carbon tax model from the polluter pays principle, 
which says that the external cost of pollution must not be 
borne by society but by those who are causing it (Yikun et al. 
2021). The carbon tax policy in Sweden has proved more 
successful in achieving its stated objectives, such as a decline 
in energy consumption, a rise in the efficiency of energy usage, 
and greater availability and use of more and more renewable 
energy alternatives (Yaqoob et al 2022a, b). In 2017, Nasdaq 
Stockholm introduced sustainable bonds and became the first 
stock exchange to launch a market for sustainable bonds, making 
it mandatory for companies to include sustainability efforts in 
their annual reports (Erhart 2018).

To investigate the effects of different environmental 
restrictions on the performance of green technologies and 
geographical disparities, a dynamic panel regression model was 
created. The findings demonstrate that the efficiency variable 
of green innovation is increasing in 30 provinces, although 
the disparities across provinces are significant. The efficiency 
of green inventions is not linearly related to environmental 
regulations (Saleem et al. 2022).

We did not find any comprehensive study on this topic, 
which particularly focus on green tax incentives and its 
impact on environment protection. The primary objective 
of this study is to evaluate and investigate the beneficiaries 
of green tax policy in Sweden by relying on tax-payer level 
observations. This study addresses the following research 
question: who are the beneficiaries of green tax incentives 
toward the environment protection in Sweden? To identify 
significant firm-level characteristics in taking advantage of 

green tax policy, in this study, we evaluate the implications 
of the carbon tax policies for Sweden and contribute to the 
literature in two aspects. This study evaluates the implica-
tions of the carbon tax policy for a developed country. It is 
important because Sweden introduced a carbon tax policy 
almost 30 years ago, and it is crucial to evaluate the implica-
tions of green tax incentives.

Literature review

It is noted that tax policy is more prevalent than direct regu-
lation, because tax policy allows consumers and firms to 
continue with their basic goals, such as utility and profit 
maximization. Thus, tax policy is more efficient than direct 
regulation (Tresch 2022). The question of why firms respond 
to tax incentives has been answered by Hall and Jorgenson 
(1967). According to them, the user investment cost depends 
on many factors, including capital income tax. Therefore, tax 
incentives that cause a reduction in the user cost of invest-
ment will encourage firms to become the beneficiary of 
tax incentives. Regarding the efficiency of tax incentives, 
it is known that domestic public welfare can be increased 
more sustainably through investment tax credit than by cut-
ting taxes on corporate income. Because of the endowment 
effect,1 firms are more reluctant to accept the tax cut on cor-
porate income than the tax credit on investments oriented to 
protect the environment. However, investment firms are far 
behind in capturing the benefit of an investment tax credit 
on the environment. It is found that increased demand for 
investment goods causes a price hike, and the suppliers of 
capital get a larger share of benefits than investing firms 
(Goolsbee 1998).

Liu et al. (2022a, b, c, d, e, f) analyze the effect of the 
implementation of China’s environmental tax in 2018 on 
firms’ environmental investments. The findings of this study 
indicate a significant increase in firms’ environmental invest-
ments after the implementation of the tax. However, Shabbir 
et al. (2020) examined the relationship between CSR activities 
and firm performance through non-linear and disaggregate 
approach. Moreover, Shabbir and Wisdom (2020) investigated 
the causal association between CSR and firm performance 
from manufacturing sector. The results of both studies indi-
cate a positive and significant impact on firm performance. 
Arslan et al. (2021) described the mediating role of green 
creativity and the moderating role of green mindfulness in 
the relationship among clean environment, clean production, 
and sustainable growth. They took primary data set from top 
seven fertilizer companies list in Pakistan. The results indicate 

1 Mullainathan, S., & Thaler, R. H. (2000). Behavioral economics.
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that green creativity and green mindfulness have a positive 
effect on clean environment. Cao et al. (2022a, b) explain the 
relationship among financial development, energy consump-
tion, and sustainable environmental-economic growth through 
sustainable environmental agenda in the era of globalization, 
whereas Ge et al. (2022) examine the causal effect of foreign 
private investment on clean industrial environment through 
 CO2 emissions, energy consumption, trade openness, and sus-
tainable economic growth.

Liu et al. (2022a, b, c, d, e, f) investigate whether the 
impact of green environmental innovation really matters for 
carbon-free economy through green technological innova-
tion, green international trade, and green power generation. 
The findings of their study show positive and significant 
effect green environmental innovation on carbon-free econ-
omy. Sadiq et al. (2022) explain the dynamic role of globali-
zation toward energy consumption, economic growth, and 
carbon dioxide emissions through sustainable environmental 
agenda. Liu et al. (2022a, b, c, d, e, f) investigate the impact 
of China’s new Environmental Protection Law on the green 
innovation behavior of listed companies in high-polluting 
industries. Khurshid et al. (2022) examined the role of envi-
ronmental policy, energy consumption, environmental taxes, 
urbanization, and economic growth on the environment.

Wang et al.’s (2022a, b) environmental adequacy is a 
requirement for happiness since it affects people’s health 
and quality of life. Data from 30 Chinese provinces and 
autonomous territories’ 2019 green taxes are combined with 
information from the 2019 China Social Survey (CSS). 

The basis for the system’s design is a complex and 
dynamic interaction between economic development, pol-
lution emissions, resource consumption, and environmental 
taxation, where the functions of environmental taxes are 
represented by linear parameters. The behavior of the sys-
tem is complicated, as evidenced by theoretical study. The 
spectrum of the Lyapunov exponents and the distribution 
diagram is used to infer the existence of chaos, which is 
subsequently supported by the discovery of a chaotic attrac-
tor. A major contributing factor to green development is the 
environmental tax.

Data and methodology

Data description

There are two sources of data collection such as primary and 
secondary sources of data. Primary data contain first-hand 
information from the respondents, whereas secondary data is 
not first-hand information but rather has already been collected 
by different private and public organizations. One way to 
differentiate primary versus secondary data is to identify 

whether any statistical methods have been applied to the 
data or not (Hox and Boeije 2005). For example, companies’ 
annual reports will be considered secondary sources of data. 
In this study, we also use annual reports of 100 top-listed 
companies in NASDAQ Stockholm. Therefore, our data 
source is secondary. This study uses short panel data because 
the cross-sectional elements are greater than the periods. 
Specifically, we are using secondary data from 2016 to 2020 
for 100 companies.

Econometric specification

Ordinary least square assumes normal distribution to 
estimate parameters. However, the distribution is no 
more normal, characterized by 0 mean and 1 standard 
deviation. Instead, dichotomous dependent variables 
assume Bernoulli distribution to estimate parameters. 
In other words, using OLS will likely produce inefficient 
parameters, especially when the experiment is drawn from 
the Bernoulli distribution. A random variable is said to have 
a Bernoulli distribution if it assumes only two values: 0 with 
probability 1 − p and 1 with probability p, where 0 ≤ p ≤ 1. 
Random variables of this category can be generated from a 
population whose outcomes can assume two values, i.e., yes 
or no. The binomial distribution is the generalization of the 
Bernoulli distribution, where the former draws outcomes 
from repetition.

Binary response models such as logit and probit assume 
mutually exclusive binary outcomes and focus on the 
occurrence of one outcome with the probability p. It implies 
that binary response models do not focus on the alternative 
outcome that occurs with a probability of 1 − p.

Suppose that the outcome variable Y assumes one of the 
two values:

In this stage, we must differentiate the observed binary 
outcome Y and the unobserved continuous Y*, which is often 
termed as a latent variable. For instance, the probability 
density function for the observed binary outcome Y is given by

with E (Y) = P and Var (Y) = P(1 − P).
The basic model of the single-index form is given by

where f (Yi/Xi) = PiY (1 − Pi)1−Yi

To satisfy the necessary condition of 0 ≤ p ≤ 1, f (Yi/Xi) 
must be a cumulative distributive function.

Y = 1 with probability p

Y = 0 with probability 1 − p

PY (1 − p)−Y

(1)Pi = Pr (Yi = 1∕X) = F (X̂i �)
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Assume that the latent variable Y* satisfies the single index 
model,

Although we cannot observe Y*, we can observe

Thus, we can transform expression 1 into expression 3.

Applying some mathematical operations on expression 
2 and expression 3, we can have

Variables of the study

Table 1 explains the variables in details.

Research hypothesis

H1: The probability of being a beneficiary under the green tax 
incentive scheme is the same for domestic and foreign firms.
H2: The probability of being a beneficiary under the 
green tax incentive scheme is the same for older and 
younger firms.
H3: The probability of being a beneficiary under the green 
tax incentive scheme is the same for small and big firms.
H4: Firms with higher levels of new investment and fixed 
capital are more likely to benefit from the tax incentives 
than firms with lower levels of new and fixed capital.

(2)Y∗ = X̂i � + u

Y = 1 if Y∗ > 0

Y = 0 If Y∗ < 0

(3)Pr (Yi = 1∕X) = Pr (Y∗ > 0)

(4)Pr (Yi = 1∕X) = Pr (�Xi 𝛽 + u > 0)

H5: Firms with higher levels of profitability are more 
likely to benefit from the tax incentives than firms with 
low-profitability.

Results and discussion

Descriptive statistics

The average dependent variable for the current data set is 0.537 
with a standard deviation of 0.498. It implies that 53% of the 
observations in the dependent variables contain a value of 1 
while 47% of observations contain a value of 0. Alternatively, 
53% of the top-listed companies secure an ESG score greater 
than 60 for the period 2016–2020. However, 47% of the top-
listed companies secure an ESG score of less than 60. Our 
first explanatory variable is also a dummy indicating whether 
a company is a domestic or foreign firm and assumes value 1 
for a foreign company. Its average value is 0.467 which implies 
that 46% of the top-listed companies are foreign-based while 
54% are domestic companies. Age of company is our second 
explanatory variable which measures how long a company is 
operating. The mean age of the top-listed companies is 82 which 
implies the average age of the selected companies. For instance, 
the maximum age of a company in this data set is 147 and the 
minimum age is 7 as mentioned in below Table 2.

Our third explanatory variable is size which measures total 
number of employees. The mean of size is 17,731 which is the 
average number of employees for the selected companies for the 
period 2016–2020. However, its standard deviation is quite large 
indicating a higher gap between the minimum and maximum 
values. It can be said that the distribution of the size variable is 
lacking the normality assumption.

In the Fig. 1 as bar chart, we present the yearly average 
of our dependent variable. In 2016, the average dependent 
variable was 0.49 and in 2020, it is 0.51. It shows the early 
evolution of sustainable practices of the selected companies. 
For instance, only 49% of the selected companies were 

Table 1  Dependent and independent variables

Variables Variable definitions

Dependent variable Dummy indicates 1 for firms who took advan-
tage of green tax incentives, otherwise 0

SOE 1 for state-owned, 0 for private c
Foreign 1 for foreign, 0 for domestic import importing 

cost
Age Age of birth/foundation date
Size Total number of employees
Investment Newly increased fixed assets/output
Capital Net value of fixed assets/output
Capacity Inventory/output
Net capital 1-period weighted growth of net investment
Net income 1-period weighted growth of real output

Table 2  Descriptive statistics

Variable Obs Mean Std. Dev Min Max

Dep. Var 403 0.5372208 0.4986092 0 1
Foreign 404 0.4678218 0.4995822 0 1
Age 404 82.50495 107.2939 7 147
Size 404 17,731.24 35,689.35 1 345,000
Investment 404 4145.491 8133.748  − 25351 52,483
Capital 404 67,494.5 114,699.7 65 927,960
Assets 404 66.1645 512.0224  − 59 4917
Capacity 404 4875.559 8966.647 0 63,916
Net income 404 3496.461 8484.113  − 35206 101,226
Firm total Obs 404 50.34653 30.83823 1 100
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engaged in sustainable activities in 2016 but the percentage 
increased to 56% in 2019. The average dependent variable 
shows that 53% of the companies secured ESG scores above 
60. To sum it up, 4% of companies have incorporated and 
prioritized sustainable activities in their daily operations.

Multicollinearity

The most crucial econometric issue in multiple linear regres-
sions is to account for the degree of correlation among the 

explanatory variables. If one or more explanatory variables 
are correlated with another explanatory variable, we can 
have the issue of multicollinearity in the model.

In Table  3, we present the correlation matrix of the 
selected variables. Pearson correlation coefficient can take a 
value between 0 and 1, and we can categorize three different 
levels of correlation coefficients. For instance, a correlation 
coefficient between 0.1 and 0.30 indicates a weak degree of 
correlation. A correlation coefficient between 0.30 and 0.60 
would imply a moderate correlation between the variables. 
And finally, a correlation coefficient above 0.60 indicates a 
strong correlation between variables (Chok 2010). 

Probit regression results

The basic argument is that different firm-level character-
istics play a significant role in determining the probability 
of being a beneficiary in a green tax incentive scheme. We 
hypothesize this idea and investigate the impact of differ-
ent firm-level characteristics on the probability of being a 
beneficiary in a green tax incentive scheme. The results of 
hypothesis testing are presented in Table 4.

In the first column of Table 4, we enlisted the variables 
with their coefficients in the second column. For instance, 
the coefficient is negative for foreign-based companies 

Fig. 1  Bar chart: yearly average dependent variable

Table 3  Correlation matrix Dep.Var Foreign Age Size Invest ~ t Capital Assets Capacity netinc ~ e

Dep. Var 1
Foreign 0.1052 1
Age 0.0339 0.0221 1
Size 0.0474 0.0494 0.2144 1
Investment 0.0676 0.0972 0.0949 0.2698 1
Capital 0.0782 0.069 0.113 0.3 0.8092 1
Assets 0.1247 0.1075 0.0609 0.0576 0.0103 0.0609 1
Capacity 0.2459 0.3387 0.2446 0.314 0.5641 0.4789 0.0513 1
Net income 0.0262 0.156 0.0777 0.1378 0.666 0.6864 0.0352 0.3815 1

Table 4  Probit regression 
(default standard errors)

3 Number of obs 366

LR  chi2(8) 71.19 Prob >  chi2 0.0000
Log likelihood  − 217.17424 Pseudo R2 0.1408

Coef Std. Err z P > z [95% Conf. Interval]
Foreign  − 0.0205285 0.1726666  − 0.12 0.905  − 0.3589489, 0.3178918
Age  − 0.0012014 0.0007648  − 1.57 0.116  − 0.0027004, 0.0002976
Size 0.1237845 0.0475502 2.6 0.009 0305878, 0.2169813
Investment 0.0000213 0.0000134 1.59 0.111 0.0000475, 0.000936
Capital 0.1288844 0.071947 1.79 0.073 0.0121291, 0.269898
Assets 0.0294692 0.0071592 4.12 0.0000 0.0154374, 0.043501
Capacity 0.0001001 0.0000217 4.6 0.000 0.0000575, 0.0001427
_cons 0.3738198 0.5830442 0.64 0.521  − 0.7689257, 1.516565
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indicating the fact that foreign-based firms are less likely 
to benefit from the green tax incentives. However, this 
coefficient is statistically insignificant at the standard 5% 
significance level. For instance, its associated probability 
value is almost 90%. Another way to look at the statistical 
significance of explanatory variables is to check whether the 
Z statistics is above 2 or not. In this case, it is far lower than 
the critical region of 2. Alternatively, the foreign dummy 
appears statistically insignificant in all three different speci-
fications and is consistent with negative insignificant coef-
ficient for foreign-based firms in Liu et al. (2022a, b, c, d, 
e, f), Mao and Wang (2016), and Muhammad et al (2022).

Our second explanatory variable in Table 4 is age. A 
positive coefficient for age would imply that older firms 
are more likely to benefit from the tax incentives than 
younger firms. However, the coefficient of age is negative 
and indicates that older firms are less likely to benefit from 
the green tax incentive scheme than younger firms (Li et al. 
2022). Though this coefficient is statistically insignificant 
in Table 4 because the probability value is 11%, it appears 
statistically significant under robust standard error regression 
in Table 5. Therefore, we reject our second hypothesis 
that older and younger firms have the same impact on the 
probability of being beneficiaries under the tax incentive 
scheme and conclude that younger firms are more engaged 
in sustainable activities than older firms (Table 6).

Our second last hypothesis assumes that firms with higher 
levels of new investment and fixed capital are more likely 
to benefit from the tax incentives than firms with lower 
levels of new investment and fixed capital. In this regard, 
the coefficients for investment and capital are critical to be 
considered (Liu et al. 2022a, b, c, d, e, f). It appears that 
both coefficients are positive and statistically significant at 9 
and 6% significance levels. For instance, in Table 5, we can 
see that the probability values of investment and capital are 
0.09 and 0.07. The magnitude of the coefficient of capital 
is relatively higher and almost double than what it was in 
Mao and Wang (2016). However, the capital coefficient was 
significant at a 1% significance level.

It is imperative to conduct a goodness-of-fit test after 
presenting initial regression results. The null hypothesis of the 
goodness-of-fit test is such that there is no significant difference 
between the observed and the expected values. Rejection of 
this hypothesis would imply a significant difference between 
the observed and the expected values (Liu et al. 2022a, b, c, d, 
e, f). However, we are unable to reject the null hypothesis at a 
5% significance level because the probability of  chi2 is 74%. 
Therefore, it can be concluded that the model is well fitted as 
there is no significant difference between the observed and 
expected values in the Table 7.

In Table 8, we present our hypothesis testing. We make 
a conclusion about our hypothesis based on the coefficients 

Table 5  Probit regression 
(robust standard errors)

Number of obs 366 Prob >  chi2 0

Wald  chi2(8) 49.48 Pseudo R2 0.1408
Log pseudolikelihood  − 217.17424 -

Coef Std. Err z P > z [95% Conf. interval]
Foreign  − 0.0205285 0.1739272  − 0.12 0.906  − 0.3614195, − 0.3203624
Age  − 0.0012014 0.0005706  − 2.11 0.035  − 0.0023198, − 0.0000831
Size 0.1237845 0.0466592 2.65 0.008 0.0323342, − 0.2152348
Investment 0.2164103 0.1200538 1.75 0.096 0.004764, − 0.3178426
Capital 0.1288844 0.0715838 1.81 0.072 0.0114172, − 0.269186
Assets 0.0294692 0.0075724 3.89 0.000 0146276, 0.0443108
Capacity 0.0001001 0.0000182 5.5 0.000 0.0000644, 0.0001358
Cons  − 0.3738198 0.1420854  − 2.64 0.0041  − 0.1278474 1.475487

Table 6  Marginal effects dy/dx Std. Err Z P > z [95% Conf. interval]

Foreign  − 0.0069509 0.0588727  − 0.12 0.906  − 0.1223392 0.1084375

Age  − 0.0004068 0.0001901  − 2.14 0.032  − 0.0007793  − 0.0000343
Size 0.0419129 0.0152576 2.75 0.006 0.0120085 0.0718174
Investment 0.2164103 0.1200538 1.75 0.096 0.00476416 0.3178426
Capital 0.0436397 0.0238021 1.83 0.067  − 0.0030115 0.090291
Assets 0.0099781 0.0023756 4.2 0.000 0.005322 0.0146342
Capacity 0.0001001 0.0000182 5.5 0.000 0.0000229 0.0000449
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and t-statistics values. A rule of thumb is to consider the 
sign and t-statistics that guides us either to reject or accept 
the null hypothesis. Because the coefficients in the table are 
actually the probabilities of being beneficiaries. For instance, 
Hypothesis 1 assumes the same probability of being a 
beneficiary between domestic and foreign firms. We can see 
that the coefficient is negative implying that the probability 
of being a beneficiary is greater for the domestic firm than 
for foreign firms. However, the coefficient is not statistically 
significant neither at 5% nor at a 10% significance level. As 
a result, we accept the null hypothesis and conclude that 
the probability of being a beneficiary is the same for both 
domestic and foreign firms. Regarding the second hypothesis 
that assumes the same probability of being beneficiary 
between older and younger firms, the coefficient is negative 
and indicates that older firms are less likely to benefit from 
the green tax incentive scheme than younger firms. Our study 
results are similar with studies such as Liu et al. (2022a, b, c, 
d, e, f), Anser et al. (2021), Bai et al. (2022), Cao et al. (2022a, 
2020b), Chen et al. (2022), Dai et al. (2022), Jun et al. (2021), 
Mughal et al. (2022), Nawab et al. (2022), Muhammad et al. 
(2021), Yaqoob et al. (2022a, b), Wang et al. (2022a, b), 
Shabbir et al. (2021), Yu et al. (2021), Khan et al. (2021), 
Yang et al. (2022), and Jain et al. (2022).

Conclusion and recommendations

The purpose of this study was to investigate the 
impact of different firm-specific characteristics on 
the probability of being a beneficiary in the green tax 
incentive scheme introduced by the Swedish government. 
Green tax incentives are becoming popular to enhance 
the sustainability aspect of a firm’s production process. 

For instance, different green tax incentives in terms of 
investment tax credit and taxable income deductions 
are prevalent across the globe. In this regard, this study 
investigates and identifies the beneficiaries of the green tax 
incentive program introduced by the Swedish government.

The findings of the study suggest that only two firm-
specific variables secure negative coefficients, i.e., foreign 
dummy and age, while all the rest of the coefficients 
are indicating a positive and significant impact on the 
probability of being a beneficiary under the green tax 
incentive program. For instance, the coefficients are 
negative and significant for both foreign dummy and age 
variables. But the coefficients are positive and significant 
for size, investment, capital, asset return, and capacity. 
Based on the findings, it can be concluded that different 
firm-specific characteristics are critical in determining 
their probability of being beneficiaries in the green tax 
incentive program. Our findings also show that firms with 
higher amounts of new investment in fixed assets are more 
likely to benefit from the tax incentives. Finally, we found 
a statistically significant coefficient for firm capacity, 
an indicator of total inventory. Specifically, the higher 
the capacity of a firm, the more it is likely to be an ITC 
beneficiary.

Policy recommendations

Based on the study findings, we recommend the following 
policy recommendations:

• Regarding our first hypothesis, we confirmed that 
foreign firms took less advantage of the green tax 
incentive scheme; therefore, it is imperative to redesign 
the green tax incentive programs in an attempt to attract 
foreign-based firms.

• In addition, findings suggest that firms with greater 
capacity and capital accumulation took relatively 
greater advantage of the green tax system. Therefore, 
it is suggested that upcoming green tax packages must 
also include the concerns of smaller firms in terms of 
capacity and capital. 
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Table 7  Goodness-of-fit test

Probit model for dependent variable Goodness of fit

Number of observations = 403
Number of covariate patterns = 403
Pearson  chi2(392) = 373
Prob >  chi2 = 0.7473

Table 8  Hypothesis testing

Hypothesis Coefficients T-statistics Conclusion

Hypothesis 1  − 0.0205285  − 0.12 Accepted
Hypothesis 2  − 0.0012014  − 2.11 Rejected (at 5% significance)
Hypothesis 3 0.1237845 2.65 Rejected (at 5% significance)
Hypothesis 4 0.2164103 1.75 Rejected (at 10% significance)
Hypothesis 5 0.1288844 1.81 Rejected (at 10% significance)
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