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Abstract Equity crowdfunding can provide signifi-
cant resources to new ventures. However, it is not clear
how crowd investors decide which ventures to invest
in. Building on prior work on professional investors
as well as theories in behavioral decision-making, we
examine the weight non-professional crowd investors
place on criteria related to a start-up’s management,
business, and financials. Our conceptual discussion
raises the possibility that crowd investors often lack
the experience and training to assess complex and
sometimes technical investment information, poten-
tially leading them to place larger weight on fac-
tors that appear easy to evaluate and less weight on
factors that are more difficult to evaluate. Studying
over 200 campaigns on the platform Crowdcube, we
find that fundraising success is most strongly related
to attributes of the product or service, followed by
selected aspects of the team, in particular, founders’
motivation and commitment. However, financial met-
rics disclosed in campaign descriptions do not predict
funding success. We discuss implications for investors
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and entrepreneurs, as well as platform organizers and
policy makers.
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1 Introduction

This study explores the decision criteria used by a
newly emerging class of investors: the “crowd” of
non-professional individuals who can invest in entre-
preneurial ventures through equity crowdfunding plat-
forms (Ahlers et al. 2015; Mohammadi and Shafi
2018; Vismara 2018).1 We consider three sets of criteria:
(i) attributes of the venture’s management team, (ii)
characteristics of the product or service and the market,
and (iii) the venture’s financial potential. These crite-
ria are sourced from surveying a large body of research

1Ahlers et al. (2015) define equity crowdfunding as a form of
financing in which entrepreneurs make an open call to sell a
specified amount of equity in a company on the Internet, hop-
ing to attract a large group of investors. The open call and
investments take place on an online platform (such as, e.g.,
Crowdcube) that provides the means for the transactions (the
legal groundwork, pre-selection, the ability to process financial
transactions, etc.).
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in finance and entrepreneurship that has examined
how professional investors decide which ventures to
invest in (Tyebjee and Bruno 1984; Zacharakis and
Shepherd 2001; Mason and Stark 2004).

Studying crowdfunding investors is important
because prior findings on professional investors may
not generalize to the crowd for at least two rea-
sons. First, whereas professional investors tend to have
access to significant organizational resources as well
as personal knowledge and experience when making
investment decisions, crowd investors may lack the
resources and experience to perform extensive due
diligence on young firms that are often characterized
by high uncertainty and information asymmetries.
Second, crowd investors tend to invest relatively small
amounts of money and also receive a relatively small
stake of a company in return (Ahlers et al. 2015). As
such, even if crowd investors could potentially employ
the more sophisticated decision-making approaches
used by professional investors, the associated (fixed)
costs are unlikely to be justified given the relatively
low stakes. Instead, crowd investors may prefer sim-
pler heuristics that allow for fast decision-making at
relatively low cost.

To examine crowd investment decisions empiri-
cally, we analyze 207 equity crowdfunding campaigns
started on Crowdcube, the largest equity crowdfund-
ing platform in the UK. For each project, we acquired
from an independent rating agency standardized rat-
ings of three broad sets of criteria: (i) management
quality (capturing the experience, skills, and commit-
ment of the start-up team), (ii) attributes of the prod-
uct, market potential, and competition, and (iii) finan-
cial metrics (capturing profitability, cash flow, and the
potential rate of returns). While these ratings were
likely unobserved by crowd investors, they provide
us with unique measures to compare a comprehen-
sive set of attributes across campaigns and to examine
the weight given to different aspects of crowdfund-
ing proposals by investors. We also assess whether
the perceived risk of investing in a given venture
influences the relative weight given to these criteria.

Our study contributes to two mainstreams of lit-
erature. We contribute to the literature on investor
decision-making (Zacharakis and Meyer 1998;
Zacharakis and Shepherd 2001) by studying an
increasingly important type of investor—the crowd.
In fact, our knowledge in terms of both investment cri-
teria and decision-making processes is limited about

this group of investors compared with those of the
more professional investors such as angels and VCs.
Unlike professional investors, crowd investors suppos-
edly lack organizational resources, relevant industry
and financial expertise, and venture investing experi-
ence to perform extensive due diligence. Additionally,
non-professional investors typically take smaller
stakes in new ventures and therefore have limited
incentives to engage in time-consuming and complex
processing of multi-dimensional information required
for evaluating a venture. For these reasons, the cur-
rent research in crowdfunding benefits from attempts
to study not only the relevant criteria used by non-
professional investors but also the underlying decision
processes that investors use to integrate and process
information. We employ the evaluability theory in
behavioral decision-making (Hsee and Zhang 2010)
that offers the bounded rationality assumption that
decision-makers select decision strategies that balance
decision accuracy with the costs such as cognitive
effort and time required to arrive at those decisions.
In doing so, we show that the crowd places little
weight on financial metrics and appears to place more
weight on characteristics of the product and service
than on the founding team. Additionally, we offer new
insights into the moderating effect of perceived risk
of investing in a venture: as the percentage of equity
offered in the campaign increases, crowd investors
seem to value information on financials more.

We also contribute to a growing literature on
the drivers of crowdfunding success (Mollick 2014)
and, in particular, equity crowdfunding (Ahlers et al.
2015; Vismara 2016; Vulkan et al. 2016). Much of
the emerging work in equity crowdfunding inves-
tigates whether and how the crowd responds to
certain information on campaign quality or to sig-
nals such as awards and the presence of prominent
investors (Ahlers et al. 2015; Ralcheva and Roosen-
boom 2016), early investors as endorsements (Kim
and Viswanathan 2014), or early funding collected
from private networks (Lukkarinen et al. 2016). Using
a novel set of measures, our study adds to this body
of work by assessing the relationship between funding
success and a broad range of campaign characteris-
tics related to the quality of the management team,
attributes of the venture’s product/service and target
market, and financial metrics. While some of our
results (such as the relationship between the quality
of human capital and success) support prior findings
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in this literature (Ahlers et al. 2015; Piva and Rossi-
Lamastra 2018), we use finer-grained data that extend
previously considered set of criteria. For example, the
measures used by Ahlers et al. (2015) do not take into
account that ventures might have different financial
performance (as presented in the financial statements)
that, if processed by investors diligently, can presum-
ably help investors assess the equity crowdfunding
ventures better. Additionally, while the signaling the-
ory employed by Ahlers et al. (2015) views the avail-
ability of financial forecasts or disclosures of risk
as a proxy for increased information and uncertainty
reduction, we adopt behavioral theories of decision-
making as our theoretical lens to better understand
when financials influence crowd investors’ judgments.
The premise in the signaling theory is how investors
use signals of quality to resolve information asym-
metries inherent in purchasing equity in a venture;
however, the theory assumes away (i) the cognitive
limitations of signal receivers (bounded rationality
assumption on investors) in their evaluations or (ii)
their varying levels of incentives to engage with and
interpret such information (Connelly et al. 2011).
Therefore, we hope our research inspires further atten-
tion to the limitations of investors in processing
signals or other information correlated with venture
quality.

2 Literature review

Equity crowdfunding To identify attractive investment
opportunities, the crowd seems to value factors that
signal the underlying quality of the venture. Ahlers
et al. (2015) report that successful equity crowdfund-
ing campaigns benefit from better human capital (as
proxied by the number of board members in the man-
agement team and the share of board members holding
an MBA degree). Similarly, Piva and Rossi-Lamastra
(2018) find that entrepreneurs’ business education and
their experience are correlated with campaign suc-
cess. Receipt of grants, early funding from private
networks, and backing by professional investors such
as business angels and venture capitalists increase
the chances of successful funding (Lukkarinen et al.
2016; Ralcheva and Roosenboom 2016; Kleinert et al.
2018).

A second series of studies highlight the hetero-
geneous nature of crowd investors, their underlying

logics, and the unfolding dynamics during fundrais-
ing (resulting from interacting with prior investors
and entrepreneurs’ posted updates during campaign).
Several studies suggest how information cascades can
form among crowd investors that leads to herding
(Vulkan et al. 2016; Hornuf and Schwienbacher 2018;
Vismara 2018), which is prevalent in other types of
crowdfunding markets (Colombo et al. 2015). For
instance, Vismara (2018) reports that a larger number
of initial early investors increase the number of subse-
quent investors, the total funding amount, and thus the
probability of a successful campaign. Investors with a
public profile make the offer more appealing to early
investors, who in turn attract subsequent investors.
Relatedly, entrepreneurs can post updates about their
new developments, such as funding events, business
developments, and cooperation projects to increase the
chances of funding success (Block et al. 2018).

Finally, some studies question the assumption that
the “crowd” is a homogeneous community by pin-
pointing distinguishing characteristics that segregate
the crowd. Mohammadi and Shafi (2018) show that
female crowd investors behave more risk-averse than
male ones when choosing which equity crowdfunding
ventures to support. Guenther et al. (2018) compare
retail from accredited investors and find no statis-
tically significant difference in their sensitivity to
geographical distance when investing in their home
country.2

Professional investors’ investment criteria Numerous
studies have examined the decision-making crite-
ria of professional venture investors (Tyebjee and
Bruno 1984; MacMillan et al. 1986; Fried and His-
rich 1994; Shepherd 1999). To the extent that these
investors are primarily motivated by financial gains,
they choose investments based on their perceived risk
and the expected rate of returns (Tyebjee and Bruno
1984; Shepherd and Zacharakis 1999). In this context,
return is most often evaluated in terms of profitabil-
ity (Robinson and Pearce 1984; Roure and Keeley
1990) and risk in terms of the probability of ven-
ture survival (Gorman and Sahlman 1989). As such,
decision-makers gather and evaluate information on
a wide range of evaluation criteria that are likely to

2Scholars have also shown interest in other aspects of equity
crowdfunding such as governance issues (Cumming et al. 2019)
and outcomes following equity crowdfunding campaigns (Sig-
nori and Vismara 2018).
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shape the risk-return profile of investment opportu-
nities (Shepherd and Zacharakis 1999; Riding et al.
2007; Franke et al. 2008; Maxwell et al. 2011; Petty
and Gruber 2011). Broadly speaking, these criteria fall
into three major categories: (1) the start-up team; (2)
the business itself; and (3) financial metrics:

1. Team characteristics (the “jockey”). The human
capital characteristics of the start-up team play
a key role in professional investors’ evalua-
tion of proposals (Mason and Harrison 1996;
Feeney et al. 1999; Mason and Stark 2004).3

For example, Mason and Stark (2004), in a
comparative analysis of different investors, high-
light investors’ criteria related to the experience
and track record of the entrepreneur, their per-
sonal qualities (e.g., commitment, enthusiasm),
and the range of skills/functions of the manage-
ment team. VC investors place great value on
teams’ experience in the focal industry or in run-
ning new ventures (Franke et al. 2008) as well
as on technical and managerial skills (Tyebjee
and Bruno 1984; Dixon 1991). The quality of
the start-up team is also important to business
angels (Landström 1998; Sudek 2006). Experi-
ence and skills likely matter because they enable
founding teams to make better decisions regard-
ing which opportunities to pursue and how to
build a new venture, while also enabling them to
develop the capabilities required for implementa-
tion. Several empirical studies highlight the cor-
relation between founding team characteristics
and the likelihood of a venture’s business success
(Beckman et al. 2007; Colombo and Grilli 2010).
Gruber et al. (2008) suggest that experienced
start-up teams will consider a larger number of
market opportunities than teams without expe-
rience, which in turn allows them to be more
successful. In addition to experience and skills,
entrepreneurial success also hinges on founders’
commitment to the new venture. Consistent with
this notion, MacMillan et al. (1986). identify the
capability for sustained intense effort as a key cri-
terion considered by VCs (Carter and Van Auken
1992) (for BAs, see Sudek 2006).

3Table 1 in Maxwell et al. (2011) gives an excellent overview
of relevant studies in the angel realm on the relevance of team
criteria.

2. Business (the “horse”). A second set of crite-
ria relates to features of the new venture and
the entrepreneurial opportunity itself. VCs look
for innovative products or services that satisfy
important customer needs. To provide the poten-
tial for profit, the venture’s products should be
unique and offer proprietary protection against
future competition (Landström 1998). Drawing
on the strategic management literature, Shepherd
(1999) shows that aspects of competition, such
as the level of rivalry and lead time advantages,
also influence VCs’ assessment of the probabil-
ity of ventures’ survival. Finally, market potential
refers to the potential size and growth of the
target market; investors prefer large and grow-
ing markets that provide greater revenue potential
(Tyebjee and Bruno 1984). Product and mar-
ket attributes are important not only to venture
capitalists but also to business angels (Mason
and Harrison 1996; Landström 1998; Mason and
Stark 2004; Riding et al. 2007; Clark 2008).

3. Financial metrics and indicators. Professional
investors look for investments with high potential
returns and low levels of risk (MacMillan et al.
1986; Gompers and Lerner 2001). These charac-
teristics are often captured in financial metrics.
As Fried and Hisrich (1994, p. 43) note: “VCs
analyze pro forma financial projections prepared
by the entrepreneur to assess a project’s potential
for earnings growth, as well as gain information
about management’s understanding of their pro-
posal and their realism toward its future. The
financial projections provide a basis for compari-
son with the market value of other companies, to
give the VC an estimate as to the potential value
that can be received when it exits the investment.”
More specifically, investors “like to see the busi-
ness will have a good cash flow . . . or will get a
product on the road” to become potentially prof-
itable (Sweeting 1991, p. 613; emphasis ours).
BAs also consider financial metrics to be impor-
tant (Feeney et al. 1999; Mason and Stark 2004;
Clark 2008) including revenue potential, return
on investment, and exit routes (Sudek 2006).
Although prior work tends to highlight the role
of financial forecasts, financial statements that
reflect past performance may be important indi-
cators of future potential as well. Either way,
financial metrics may be best understood as a
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reflection of other venture characteristics (includ-
ing team and business) rather than as a stand-
alone attribute: “It appears, quite logically, that
without the correct management team and a rea-
sonable idea, good financials are generally mean-
ingless because they will never be achieved.”
(Muzyka et al. 1996, p. 274).

3 Theory and hypothesis development

Although professional investors pay attention to all
three sets of criteria, not all criteria receive the
same attention. Harrison and Mason (2002) and Fiet
(1995) find that BAs emphasize the qualities of the
entrepreneurial team more than characteristics of the
product or service. Similarly, a consistent finding
across studies on VC decision-making is the high
importance placed on the characteristics of the man-
agement team, such as the quality and experience of
the entrepreneur, and industry expertise in the team
(Shepherd and Zacharakis 1999).4 At the same time,
Petty and Gruber (2011) find that a lack of experience
seems to matter less than expected. This result may
reflect that VCs do not have to simply accept the exist-
ing management team but often play an active role
in shaping and replacing management after making
an investment (Wasserman 2003; Conti and Graham
2016; Ewens and Marx 2016). The most recent evi-
dence on relative weights comes from Gompers et al.
(2016), who ask VCs about the importance of dif-
ferent criteria. The management team was mentioned
most frequently as an important factor (by 95% of VC
firms), followed by business model (83%), product
(74%), and market (68%).

Unlike professional investors, crowd investors sup-
posedly lack organizational resources, relevant indus-
try and financial expertise, and venture investing expe-
rience to perform extensive due diligence (Ahlers et al.
2015). Additionally, non-professional investors typi-
cally take smaller stakes in new ventures and therefore
have limited incentives to engage in time-consuming
and complex processing of multi-dimensional infor-
mation required for evaluating a venture. For these

4A popular saying is that VCs would rather invest “in a grade A
team with a grade B idea than in a grade B team with a grade
A idea.” Arthur Rock, a legendary venture capitalist, once said,
“Nearly every mistake I’ve made has been in picking the wrong
people, not the wrong idea” (Bygrave and Timmons 1992, p. 6).

reasons, the current research in crowdfunding bene-
fits from attempts to study both the relevant criteria
used by non-professional investors and their relative
importance. To address this research gap, we leverage
evaluability heuristic (proposed in behavioral theories
of decision-making) to hypothesize that crowds place
little weight on financial metrics but appear to place
more weight on characteristics of the product and the
founding team.

Despite insights into the criteria used by venture
investors, we know relatively less about the underly-
ing decision processes that investors use to integrate
and process information. Implicit in much of the prior
work is a “rational” decision model, where investors
take full advantage of the available information to
maximize decision accuracy. This perspective is chal-
lenged by research in other domains, which shows that
decision-makers often face limitations in their cogni-
tive capacity for processing information, leading to
bounded rationality (Simon 1955; Busenitz and Bar-
ney 1997; Maxwell et al. 2011). Given the richness of
information, the multi-dimensional nature of invest-
ment opportunities, and the large number of options
that compete for funding, bounded rationality is also
likely to apply in the context of investment decisions
(Zacharakis and Meyer 1998). As such, investors may
have to economize on their decision process using var-
ious simplifying strategies and heuristics. One illus-
trative approach to reduce information processing cost
is called elimination by aspects. This strategy involves
flagging and rejecting a choice option with a fatal
flaw to limit the number of proposals for subsequent
due diligence and further attention. Maxwell et al.
(2011) suggest that this approach provides a useful
approximation for BAs’ decision-making.

We argue that evaluability heuristic is particu-
larly relevant in our context to investigate the relative
importance of different criteria used by crowds. This
heuristic states that decision-makers reduce process-
ing costs by placing greater weight on criteria that are
easy to evaluate and paying less attention to criteria
that are difficult and, thus, more costly to evalu-
ate (Hsee and Zhang 2010). Evaluability theory also
specifies conditions under which evaluability is partic-
ularly high or low. In particular, an attribute is difficult
to evaluate if the decision-maker does not know its
distribution across choice options (e.g., its effective
range, its neutral reference point) and consequently
does not know how “good” or “bad” a particular value
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of this attribute is. Conversely, an attribute is easy
to evaluate if the decision-maker knows its distribu-
tion. As such, evaluability not only is a feature of the
attribute itself but also depends on the prior knowledge
and experience of the decision-maker.

Since our primary interest is in the weight investors
may place on different types of criteria, the evalu-
ability heuristic provides useful predictions. Crowd
investors may likely have some difficulty to evaluate
all three criteria—team characteristics, business char-
acteristics, and financials. However, they may find
some of these criteria easier to evaluate than others. In
particular, even the crowd may feel comfortable evalu-
ating certain aspects of teams and their human capital.
For example, higher levels of education, degrees from
prominent schools, and prior entrepreneurial experi-
ence are easy to evaluate (as positive) even by inex-
perienced investors. Crowd investors may also find it
relatively easy to form opinions about the desirability
of products and services, especially those targeted at
a general consumer audience. In contrast, the crowd
may find it more difficult to evaluate financial infor-
mation such as projections of costs and revenues or
potential returns for individual investors. Unlike pro-
fessional investors, most crowdfunding investors see
limited deal flow and lack comparative data to eval-
uate and compare such financial criteria. Similarly,
non-professional investors likely lack the technical
training to interpret financial terminology or to aggre-
gate and process financial data. Consistent with this
claim, survey evidence points to generally low levels
of financial literacy in the population (for a review,
see Lusardi and Mitchell 2014; and for evidence in the
UK, see Disney and Gathergood 2012). Considering
aforementioned assumption on limited expertise of the
crowd or their limited incentive in assessing complex
financials, we expect:

Hypothesis 1. When making funding decisions,
crowd investors pay greater attention to crite-
ria related to the quality of the team and the
business than to financial information.

We suggest that increasing the financial stakes encour-
ages crowd to focus more attention on attributes that
are harder to evaluate. In particular, the larger size
of equity offering increases the risk of investment
and elicits more incentive from investors; therefore,
they allocate more attention to process the investment
opportunity given the potential high risks that might

ensure higher returns from owning a larger share of
the venture.

Those ventures that tend to raise money by selling
higher proportions of equity to investors appear risky
to investors because investors might perceive higher
adverse selection risks faced with owners possess-
ing more knowledge about the underlying quality of
the venture. Increased percentage of equity offered to
investors is associated with a decrease in the number
of investors and the likelihood of success (Ahlers et al.
2015; Vismara 2018). Entrepreneurs who are confi-
dent of their venture prospects are likely to retain as
much equity as possible to refrain from diluting their
future wealth. By retaining high ownership of their
ventures, entrepreneurs can show their commitment
to prospective investors and signal the quality of the
venture.

More investors may be required to contribute to
fund the campaigns with higher equity offered (for a
given pre-money valuation). This is specially the case
if individual investors in the crowd would be reluctant
to increase the size of their contributions. For a given
level of contribution, each individual investor faces
higher marginal (adverse selection) risks when choos-
ing ventures with more equity offerings, and thus, they
are more prone to losing their investment from inad-
equate due diligence. Having said that, we expect the
increased risk associated with more equity offering to
encourage more effort in screening the focal venture.

Investors may also need to contribute more to fund
the campaign when the equity offered is higher (for a
given pre-money valuation). Investors typically have
greater incentive to evaluate investment opportunities
when they expect higher returns from doing so. Holm-
strom and Tirole (1997, p. 686) argue that the effort in
assessing the focal investment opportunity is endoge-
nous and related to the amount of capital that the
intermediary has to put up (“skin in the game”). Case
in point, whereas venture capitalists tend to hold large
stakes in the projects they finance to justify their inten-
sive due diligence and their involvement following
their investments (e.g., by taking board seats), banks
engage in relatively less screening and monitoring
and, thus, can highly leverage their capital. Therefore,
increasing the stakes in the outcome encourages dili-
gent behavior and generates greater incentive to care-
fully study the information that otherwise would have
been relevant but difficult to process. To the extent
that the equity offering increases crowds’ intensity
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of due diligence since the risks from misjudgments
are accentuated, we expect the crowd to spend time
digesting more complex information such as finan-
cials. Thus, we propose the following hypothesis:

Hypothesis 2: When making funding decisions,
crowd investors pay greater attention to finan-
cial information as the offered equity increases.

4 Data and methods

We examine crowdfunding campaigns on the platform
Crowdcube. This platform opened in 2011 in the UK
and is now the world’s largest equity crowdfunding
platform with cumulative investments of more than
£130 million, 352 successful campaigns, and nearly
a quarter of a million registered investors as of Jan-
uary 2016.5 We examine a sample of 207 campaigns
that include all campaigns posted on Crowdcube in
the period from 7 September 2015 to 12 August
2016. Although this sample excludes some of the ear-
lier campaigns, campaigns started after September 6
received ratings from an independent agency, which
serve as key measures for our empirical analysis (see
below).

Crowdcube operates in an “all-or-nothing” manner,
which means that investors are only committed to pro-
viding their pledged funds if the campaign achieves
its funding goal. Business pitches on Crowdcube are
typically live for about 30 days. If fully funded, firms
have the choice to keep the campaign open and allow
it to overfund or close it at the target amount. If
unsuccessful, the campaign is closed and investors’
pledges are returned. There is no fee for listing the
venture on Crowdcube. A success fee of 7% is only
charged on the amount ventures successfully raised
(also, a completion fee, which is on average 0.75–
1.25% of all funds raised, is applied).6 Investors pay

5Equity crowdfunding platforms now account for about one-
fifth of all early-stage investment deals and 35% of the number
of seed stage deals in the UK (http://about.beauhurst.com/report-
the-deal-q3-15) with Crowdcube being the market leader with a
market share of 52% (http://www.crowdfundinsider.com/2015/
08/72395-crowdsurfer-data-released-crowdcube-leads-uks-inve
stment-crowdfunding-market/).
6https://help.crowdcube.com/hc/en-us/articles/206232464-What-
fees-does-Crowdcube-charge-for-raising-finance-on-the-platform-

no additional fees. Entrepreneurs pitch their ideas with
a fixed funding goal and a set amount of shares; how-
ever, Crowdcube allows for small adjustments after
the pitch is launched so that founders can adapt to
the investors’ needs (in our analysis, we take the data
at the time of launch). The shares could include vot-
ing and preemption rights (A shares) or no rights (B
shares). Share issues typically qualify for tax relief
schemes (e.g., Enterprise Investment Scheme [EIS] or
Seed Enterprise Investment Scheme [SEIS]).7 Out of
the 207 campaigns in our sample, 111 (54%) cam-
paigns were successful in reaching their targets and
46% failed to achieve their funding goal.

Our empirical analysis builds on two data sources.
First, we scraped Crowdcube to obtain information on
the campaigns, including their funding goals and fund-
ing success. Second, we obtained from an independent
agency standardized ratings of key characteristics of
the campaigns. Details on these ratings are provided
below. Note that while we can rely on these ratings to
measure key attributes consistently across campaigns,
these ratings are from an independent source and were
not published on the Crowdcube website. Although
investors who were aware of the ratings could have
accessed them through the agency’s website, it is
likely that most investors made their investment deci-
sions based on the primary campaign information
available on Crowdcube.

5 Variables

Dependent variables We capture two key outcomes
associated with fundraising, consistent with the litera-
ture interested in equity crowdfunding (Vismara 2016;
Piva and Rossi-Lamastra 2018; Ahlers et al. 2015).
First, success measures whether the target amount for
the campaign is reached or not. Because Crowdcube
follows an all-or-nothing model, the binary outcome
of success represents the case in which the campaign
has attracted sufficient amount of funds. Second,
amount raised (in log British pounds) is the amount
of funds pledged by the crowd towards the goal of the

7For more information, see https://www.gov.uk/guidance/venture-
capital-schemes-apply-for-the-enterprise-investment-scheme and
https://www.gov.uk/guidance/venture-capital-schemes-apply-to-
use-the-seed-enterprise-investment-scheme
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Fig. 1 An illustrative campaign from Crowdcube; the dotted box (drawn by authors) shows that each campaign contains information
related to the three broad categories we consider. Details appear when a user clicks on these tabs

campaign (regardless of whether or not the campaign
was ultimately successful). This amount is transferred
to the company in case of successful campaign; oth-
erwise, this amount represents the total amount the
investors would have invested. We explore alternative
outcome measures in robustness checks.

Independent variables Crowdcube campaigns include
three main sections providing detailed information on
the management team, the business idea, and finan-
cials (see Fig. 1 for an illustration). We take advantage
of standardized ratings of these characteristics as pro-
vided by the independent agency Crowdrating. For
each Crowdcube campaign started after April 2015,
the agency uses an algorithmic engine to analyze and
rate campaign descriptions. More specifically, the rat-
ing methodology assesses each campaign description
against 81 criteria covering the three broad categories
“management,” “product,” and “investment” (finan-
cials). For each category, the Crowdrating score range
from 0 to 100%, with 100% reflecting that the cam-
paign achieved the maximum number of possible
points. Crowdrating publishes ratings for the three
primary categories, as well as three sub-ratings for
each category. Examples of two campaign scorings are
provided in Fig. 2.

More specifically, the management rating is based
on the description of the management team and aver-
ages three sub-ratings: team members’ experience,
skills, and commitment. The average management
rating is 70.5, with a standard deviation of 14.7.

Business rating is the average of three sub-ratings:
market potential, product characteristics, and compe-
tition. The average business rating is 60.2, with a
standard deviation of 12.0.

Financials rating is the average of three sub-
ratings: profitability, cash flow, and return of the firm.
These ratings are based on a “financial snapshot” pub-
lished on the campaign website. When a campaign
does not provide sufficient financial information (N =
28), Crowdrating does not compute this score. The
average financials rating is 57.6, with a standard devi-
ation of 10.6. To be able to use the full sample in
regressions even when the financials rating is missing,
we assign the respective campaigns a score of zero but
include a dummy variable that denotes the observa-
tion is missing (see Aghion et al. 2013). This dummy
variable is always insignificant in our regressions (not
reported in tables to preserve space).

As expected, the correlations between sub-ratings
for each category are positive and significant and
higher than the correlations between sub-ratings

10
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Fig. 2 Scores provided by the rating agency for two illustrative campaigns

across categories (Appendix Table 6). Our analysis
will focus on the three primary ratings but will also
use sub-ratings to provide additional insights.

Control variables Consistent with prior research
(Guenther et al. 2018; Vismara 2018), we control for
several factors that might influence the crowdfund-
ing outcomes. Equity offered is the percentage of firm
equity offered in the campaign (computed as the target

fundraising goal divided by the post-money valuation
of the firm). It has been argued that equity offered is
linked to adverse selection risk in that entrepreneurs
who are confident in the potential of their business are
likely to retain more equity, as offering more equity
to new investors would dilute their future wealth
(Ahlers et al. 2015; Mohammadi and Shafi 2018).
In contrast, entrepreneurs who are less confident are
likely to sell a higher proportion of equity to new

11
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investors. Thus, higher equity retention could signal
to prospective investors a lower likelihood of adverse
selection, increasing the likelihood of funding suc-
cess. We control for the target amount (target goal,
in log British pounds) because previous research has
documented that campaigns aiming to raise larger tar-
get amounts are less likely to be successful (at least
on reward-based platforms with all-or-nothing mod-
els, e.g., Mollick 2014). Tax relief (0/1) represents
whether the investors can benefit from tax reliefs of
the Seed Enterprise Investment Scheme (SEIS) or the
Enterprise Investment Scheme (EIS). Both of these
tax incentive schemes in the UK are designed to help
small companies raise funding by offering tax breaks
on new shares in companies. This dummy variable
takes the value of 1 if a project qualifies for tax
relief, otherwise zero. Prior CF success (0/1) repre-
sents whether the firm has successfully crowdfunded
before on the Crowdcube platform. We control for age
and the firm’s primary industry. High-Tech (0/1) is a

dummy variable that takes on the value of 1 for firms
classified in Technology, Internet, IT & Telecommu-
nications industries. This variable takes on the value
of zero for firms in Art & Design, Business Services,
Consumer Products, Education, Environmental & Eth-
ical, Film, TV & Theatre, Food & Drink, Health &
Fitness, Leisure & Tourism, Manufacturing, Media &
Creative Services, Retail, Sport & Leisure, and oth-
ers. Additionally, we control for firm location using a
dummy variable indicating whether a firm headquar-
ter is in London (firms are required to be incorporated
prior to fundraising on Crowdcube). To control for
potential platform dynamics, we include a dummy
Year 2015 for campaigns starting in 2015 (vs. 2016).

6 Results

Table 1 shows the descriptive statistics for the full sam-
ple and separately for successful and unsuccessful

Table 1 Descriptive statistics

All Success Failure t test

Mean SD Mean SD Mean SD b

Management
Management rating 70.51 14.74 72.98 13.68 67.65 15.45 − 5.34∗∗
Experience rating 62.02 23.64 64.25 22.04 59.44 25.23 − 4.81
Skills rating 73.22 20.63 74.97 20.86 71.20 20.27 − 3.78
Commitment rating 75.42 20.37 78.98 18.25 71.30 21.97 − 7.68∗∗

Business
Business rating 60.17 12.00 62.87 10.41 57.05 12.97 − 5.82∗∗∗
Market rating 72.66 14.18 74.94 13.05 70.01 15.02 − 4.93∗
Product rating 61.86 21.21 65.27 19.41 57.93 22.59 − 7.34∗
Competition rating 46.05 15.74 48.45 15.41 43.29 15.75 − 5.16∗

Financials
Financials rating 57.61 10.58 58.16 9.71 56.98 11.54 − 1.18
Profitability rating 58.57 15.34 58.25 14.62 58.93 16.21 0.67
Cash flow rating 60.46 21.94 60.42 21.67 60.51 22.37 0.09
Return rating 51.46 16.28 52.95 15.58 49.75 16.97 −3.21

Campaign-firm characteristics
Amount raised [£](log) 11.71 1.63 12.69 1.02 10.58 1.48 − 2.11∗∗∗
Age (year) 3.36 3.01 3.59 3.30 3.09 2.62 − 0.49
Prior CF success (0/1) 0.10 0.30 0.14 0.35 0.05 0.22 − 0.09∗
High-Tech (0/1) 0.12 0.33 0.10 0.30 0.15 0.35 0.05
Equity offered 0.13 0.08 0.12 0.08 0.15 0.08 0.02∗
Target goal [£](log) 12.34 0.85 12.38 0.90 12.30 0.80 −0.08
Tax relief (0/1) 0.96 0.20 0.96 0.19 0.95 0.22 − 0.02
London 0.53 0.50 0.58 0.50 0.48 0.50 − 0.10
Year 2015 0.39 0.49 0.40 0.49 0.38 0.49 − 0.02

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses
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Table 2 Correlation matrix

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

(1) Success (0/1) 1.000

(2) Raised [£] (log) 0.645 1.000

(0.000)

(3) Financials rating 0.056 0.139 1.000

(0.458) (0.064)

(4) Management rating 0.181 0.485 0.346 1.000

(0.009) (0.000) (0.000)

(5) Business rating 0.243 0.464 0.278 0.557 1.000

(0.000) (0.000) (0.000) (0.000)

(6) Prior CF 0.152 0.127 0.009 0.066 0.095 1.000

success (0/1) (0.029) (0.068) (0.901) (0.347) (0.172)

(7) High-Tech (0/1) − 0.072 0.035 − 0.093 0.006 − 0.070 − 0.026 1.000

(0.306) (0.613) (0.218) (0.927) (0.318) (0.706)

(8) Equity offered − 0.157 − 0.168 − 0.047 − 0.307 − 0.308 − 0.118 − 0.029 1.000

(0.024) (0.015) (0.534) (0.000) (0.000) (0.092) (0.673)

(9) Target goal [£] (log) 0.046 0.616 0.125 0.516 0.433 0.088 0.040 −0.024 1.000

(0.509) (0.000) (0.096) (0.000) (0.000) (0.205) (0.571) (0.735)

(10) Tax relief (0/1) 0.039 − 0.072 0.012 − 0.130 − 0.046 0.072 0.079 0.028 − 0.119 1.000

(0.575) (0.304) (0.877) (0.063) (0.507) (0.305) (0.258) (0.690) (0.088)

(11) Age (year) 0.082 0.236 0.050 0.291 0.339 0.083 − 0.103 − 0.231 0.330 − 0.164 1.000

(0.242) (0.001) (0.506) (0.000) (0.000) (0.237) (0.138) (0.001) (0.000) (0.018)

(12) London 0.097 0.118 − 0.039 − 0.009 − 0.055 0.123 − 0.038 − 0.025 0.076 0.132 − 0.198

(0.163) (0.091) (0.608) (0.897) (0.430) (0.077) (0.585) (0.723) (0.277) (0.058) (0.004)

The significance of each correlation (p value) is presented in parenthesis

campaigns. The mean management rating and the
mean business rating are significantly higher for suc-
cessful campaigns (p < 0.05 and p < 0.01); however,
there is no significant difference between failed and
successful campaigns in terms of financials rating.
The correlations between the ratings and success (0/1)
show a similar pattern (Table 2).8

Table 3 reports probit regressions of funding suc-
cess, including point estimates as well as marginal

8Thanks to one of the reviewer’s suggestions, we investigate the
possibility of a mediation effect for the target goal in the rela-
tionship between management rating and raised amount. We do
so because better teams set higher goals (a correlation of 0.516
between management rating and target goal), and this could
provide an alternative explanation for why better teams raise
more money. We perform causal mediation analysis using the
command “PARAMED” in Stata; the total direct effect is 0.048
(p < 0.01), the controlled direct effect is 0.021 (p < 0.01),
and the natural direct effect is 0.027 (p < 0.01). The results
(available upon request) confirm the presence of the mediation
effect.

effects (holding all other variables at the mean). Model
(1) shows a positive and significant coefficient for
management rating (p < 0.05); in terms of economic
magnitude, a one-standard deviation increase in man-
agement rating is associated with 26.5% higher likeli-
hood of funding success. While this result is consistent
with the notion that higher ratings increase funding
success, our cross-sectional data do not allow us to
establish causality; all results should be considered
correlational in nature.

Model (2) includes the sub-ratings of experience,
skills, and commitment. Among these, commitment is
significantly correlated with success. A one-SD higher
commitment rating is associated with a 27.7% higher
probability of success. We find no significant coeffi-
cients for the experience and skill ratings. However,
given the high correlation between skill and expe-
rience ratings (Table 6), this result may also partly
reflect multi-collinearity. When tested jointly, skill and
experience are not significant in model (2) (χ2(2) =
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2.64, p value = 0.26). Additionally, when we esti-
mate models with each sub-rating individually, only
the coefficient of commitment is significant. The joint
significance Wald test of all three sub-ratings yields
χ2(3) = 7.22 (p = 0.06).

Model (3) shows that business rating is highly
significant (p < 0.01); a one-SD higher score is
associated with a 40% higher probability of funding
success. Model (4) includes the three sub-ratings mar-
ket, product, and competition. While none of these
coefficients are significant in this model, when entered
individually, the sub-ratings of market, product, and
competition are significant at the 5%, 10%, and 5%
levels, respectively. A joint test of these sub-ratings is
significant at the 5% level (χ2(3) = 8.98).

Model (5) includes the financials rating. Consis-
tent with the lack of mean differences (Table 1), we
find no significant coefficient. Model (6) includes the
sub-ratings profitability, cash flow, and return. None
of the ratings is significant, and a joint test does not
reach conventional significance levels (χ2(3) = 2.94,
p = 0.40). Including each sub-rating separately in the
regressions also shows no significant coefficients.

Finally, model (7) includes all three primary rat-
ings. The joint Wald test is highly significant (χ2(3)
= 11.73 (p < 0.01)), but only the business rating is
individually significant.

Table 4 uses the (log) amount raised as an alter-
native measure of funding success. These models are
estimated using OLS with robust standard errors and
follow a similar organization as the models reported in
Table 3. Model (1) shows that a one-SD higher man-
agement rating is associated with an e0.021×14.7 − 1 =
36% higher amount of funding. Model (2) includes
the sub-ratings and shows significant coefficients for
both experience rating and commitment rating. This
pattern holds when we include the three sub-ratings
separately.

Model (3) shows that business rating has a posi-
tive and significant coefficient (p < 0.01); a one-SD
higher score is associated with a 45% higher amount
raised. The sub-ratings shown in model (4) suggest
that one-SD higher market rating and competition rat-
ing are associated with an increase in the amount
raised by 18.55% and 15.22%, respectively. When
sub-ratings are inserted separately in the regression
models, each is significant. Models (5) and (6) include
the financials rating and the related sub-ratings. Con-
sistent with the results from Table 3, none of the

coefficients are significant. The joint Wald test of
significance of the sub-ratings in model (6) is not sig-
nificant (F(3) = 0.66, p = 0.57). When included
individually, none of the sub-ratings is significant.
Finally, in model (7), we include all the ratings. The
coefficients of management rating and business rat-
ing remain significant, while the financials rating has
no significant coefficient. The joint Wald test gives
F(3) = 5.25 (p < 0.01).

Overall, the significant coefficients for manage-
ment rating as well as business rating, but not for
financials rating, lend support for hypothesis 1. More-
over, the more detailed analyses on sub-dimensions
suggest that team commitment is consistently associ-
ated with funding success.

Table 5 offers the results testing H2. We mean-
center the ratings to reduce multi-collinearity and
include their interactions with equity offered in regres-
sion models. The interaction term between equity
offered and financials rating is only significant in
models (3) and (6). Based on model (3), when equity
offered is at the mean (mean plus one SD), the aver-
age marginal effects associated with financials rating
are 0.2 (p = 0.489) and 1.06 (p = 0.025), respec-
tively; holding all other variables at mean, when equity
offered is at the mean, a one-SD increase of financials
rating is associated with an increase of about 5% in
the success likelihood; when equity offered is set at
one SD above the mean, this number is 26.71%. These
results provide support for H2.9

7 Supplementary analyses and robustness checks

While our analyses thus far have treated the different
criteria—team, business, and financials—as indepen-
dent, it is possible that investors consider them jointly.
For example, investors might place greater confidence
in financial metrics if they also believe that the man-
agement team is very good. Similarly, investors may
pay less attention to product and market attributes
if the management team is very good—after all, a
good team may be able to succeed even with an

9Given that we imputed zero for observations with missing
financials and a dummy denoting this missing observations,
we include an interaction term between the dummy and equity
offered. We do not report the dummy or the interaction term,
which are always insignificant.
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Table 4 OLS models predicting amount raised (logged)

(1) (2) (3) (4) (5) (6) (7)
β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Management
Management rating 0.021∗∗ 0.015∗

(0.008) (0.009)
Experience rating 0.010∗∗

(0.005)

Skills rating 0.001

(0.005)

Commitment rating 0.013∗∗

(0.006)
Business

Business rating 0.031∗∗∗ 0.029∗∗∗

(0.009) (0.009)

Market rating 0.012∗

(0.007)

Product rating 0.009

(0.006)

Competition rating 0.009∗

(0.005)

Financials

Financials rating 0.009 − 0.003

(0.011) (0.010)

Profitability rating −0.002

(0.006)

Cash flow rating − 0.001

(0.005)

Return rating 0.008

(0.006)

Controls

Prior CF success (0/1) 0.266 0.251 0.226 0.228 0.258 0.267 0.244

(0.259) (0.258) (0.251) (0.255) (0.264) (0.256) (0.261)

High-Tech (0/1) 0.081 0.024 0.164 0.161 0.090 0.045 0.148

(0.218) (0.222) (0.228) (0.232) (0.233) (0.241) (0.216)

Equity offered − 1.822 − 1.716 − 1.614 − 1.575 − 2.965∗∗ − 2.987∗∗ − 1.205

(1.437) (1.451) (1.415) (1.453) (1.368) (1.364) (1.495)

Target goal [£] (log) 0.958∗∗∗ 0.921∗∗∗ 0.963∗∗∗ 0.967∗∗∗ 1.144∗∗∗ 1.146∗∗∗ 0.920∗∗∗

(0.131) (0.139) (0.116) (0.125) (0.111) (0.114) (0.133)

Age (year) 0.006 0.006 − 0.001 0.001 0.013 0.022 − 0.009

(0.036) (0.040) (0.035) (0.035) (0.035) (0.036) (0.035)

Tax relief (0/1) 0.016 0.079 −0.137 −0.129 −0.045 −0.030 0.014

(0.307) (0.315) (0.363) (0.361) (0.313) (0.308) (0.331)

London 0.240 0.230 0.269 0.272 0.204 0.178 0.227

(0.187) (0.188) (0.183) (0.185) (0.193) (0.193) (0.182)

Year 2015 0.061 0.123 0.132 0.124 0.117 0.151 0.075

(0.172) (0.169) (0.169) (0.171) (0.178) (0.176) (0.171)
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Table 4 (continued)

(1) (2) (3) (4) (5) (6) (7)
β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Constant − 1.599 − 1.399 − 1.911 − 2.032 − 2.729∗ − 2.523∗ − 2.334
(1.338) (1.387) (1.316) (1.439) (1.482) (1.435) (1.461)

Observations 207 207 207 207 207 207 207
Adjusted R2 0.409 0.411 0.422 0.416 0.386 0.383 0.430
LL − 336 − 335 − 334 − 334 − 340 − 339 − 331

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses

Table 5 Models with interaction terms between ratings and equity offered

(1) (2) (3) (4) (5) (6)
Success (0/1) Success (0/1) Success (0/1) Raised [£] (log) Raised [£] (log) Raised [£] (log)
β / SE β / SE β / SE β / SE β / SE β / SE

Management ratinga 0.017 0.022∗
(0.015) (0.013)

Management ratinga × equity offered −0.006 −0.008
(0.098) (0.086)

Business ratinga 0.028 0.050∗∗∗
(0.019) (0.016)

Business ratinga × equity offered − 0.004 − 0.142
(0.117) (0.093)

Financials ratinga − 0.033∗ − 0.021
(0.019) (0.018)

Financials ratinga × equity offered 0.291∗∗ 0.233∗
(0.126) (0.135)

Equity offered − 1.470 − 1.125 − 5.503∗∗∗ − 1.861 − 2.190 − 5.595∗∗∗
(1.413) (1.399) (1.846) (1.421) (1.363) (1.782)

Prior CF success (0/1) 0.557∗ 0.545∗ 0.534∗ 0.266 0.227 0.247
(0.320) (0.327) (0.319) (0.259) (0.262) (0.259)

High-Tech (0/1) − 0.263 − 0.190 − 0.244 0.083 0.202 0.104
(0.282) (0.296) (0.289) (0.221) (0.234) (0.226)

Age (year) 0.013 0.006 0.025 0.006 −0.007 0.018
(0.038) (0.036) (0.037) (0.036) (0.035) (0.035)

Target goal [£] (log) − 0.107 − 0.122 0.024 0.958∗∗∗ 0.942∗∗∗ 1.128∗∗∗
(0.135) (0.127) (0.124) (0.132) (0.118) (0.112)

Tax relief (0/1) 0.308 0.205 0.236 0.016 − 0.069 − 0.049
(0.431) (0.434) (0.436) (0.308) (0.340) (0.313)

London 0.230 0.263 0.186 0.240 0.270 0.182
(0.192) (0.191) (0.196) (0.187) (0.182) (0.191)

Year 2015 −0.072 −0.021 0.013 0.059 0.113 0.149
(0.193) (0.193) (0.196) (0.173) (0.169) (0.183)

Constant 1.159 1.373 0.051 − 0.080 0.202 − 1.755
(1.642) (1.588) (1.591) (1.564) (1.478) (1.431)

Observations 207 207 207 207 207 207
Pseudo R2 0.059 0.075 0.060
Adjusted R2 0.406 0.425 0.391
LR χ2 14.182 19.681 17.877
LL − 134.476 − 132.207 − 134.420 − 336.380 − 333.018 − 337.982

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses
aThe variable is demeaned
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average idea (see quotes in Section 2). To exam-
ine these possibilities, we mean-center the ratings
to reduce multi-collinearity and include their inter-
actions in regression models (Table 7). Models (1)
and (4) show a negative interaction between manage-
ment rating and business rating, suggesting that these
two aspects may be partial substitutes—if a campaign
has a high score on one of these aspects, the other
aspect appears to have a smaller influence on fund-
ing decisions. Similarly, models (3) and (6) show a
negative interaction between business and financials
rating. We find no interaction between management
rating and financial rating. Although these results are
only exploratory, they suggest that future work could
usefully theorize and empirically test more complex
decision-making models that allow for substitution
(or complementarity) between different criteria in
investor decision-making (see also Franke et al. 2008).

We performed several robustness checks. First, we
use as alternative outcome measures the number of
investors (for unsuccessful campaigns, the number of
individuals who made a pledge) and the percentage
of funding raised. The results (Tables 8 and 9) are
qualitatively the same as our featured analyses.

Second, we utilize key financial metrics taken directly
from the crowdfunding campaigns to explore their
relationship with financials rating and with funding
success. More specifically, we include the following
measures: operating profit as % of sales in year of the
campaign; closing cash as % of sales in year of cam-
paign; forecasted growth in sales (year after campaign
vs. year of campaign); forecasted growth in operat-
ing profit (year after campaign vs. year of campaign);
and forecasted growth in operating profit as % of
sales over 3 years. These measures are set to missing
for campaigns that fail to provide detailed financials.
Models (1) to (4) in Table 12 show that the original
financial metrics have significant relationships with
the ratings used in the main analysis. More impor-
tantly, however, using these metrics instead of the
ratings in the regressions of fundraising success again
shows no significant coefficients (models (5) and (6)).

Third, our main analysis follows prior work (e.g.,
Aghion et al. 2013) by replacing missing financial rat-
ings with 0 (and including a dummy variable denoting
missing data). As an alternative approach, we drop
these observations (Table 13, models (1) and (2)) but
again find no significant coefficients for the financials
rating.

Fourth, to find additional proxies for the quality of the
management team, we collect data on all the members of
management team from UK Companies House database.
We create three variables: (i) total work experience, a
variable that captures the total sum of years that cur-
rent directors of the venture have work experience;
(ii) total tenure with venture, a variable that captures
how long all current directors have been involved with
the venture; and (iii) diverse occupations, a variable
that captures the diversity of roles taken by the man-
agement team. Results presented in Table 10 further
show that these proxies correlate with both management
rating and the related sub-ratings as well as the crowd-
funding campaign outcomes. Overall, these results
reinforce the external validity of the ratings used in
this study in addition to providing support for H1.

Fifth, to find additional proxies for the business,
we collect two additional set of variables. First, patent
data is obtained from Espacenet (European Patent
Office). Patent counts the number of granted patents
assigned to the venture. Second, IBISWorld offers sev-
eral industry-level categorical variables related to bar-
riers to entry, competition, and market share concen-
tration. Table 11 presents the regressions that correlate
these variables to business ratings and the sub-ratings
and the crowdfunding outcomes. The omitted variable
is “low” category whenever applicable. These results
again support the validity of business ratings and sug-
gest the relevance of these additional proxies for the
campaign success.

Sixth, to address potential differences between indus-
tries, we include a more detailed set of 17 industry
dummy variables in models (3)–(8) of Table 13. Our
results are robust (although some observations drop
out when industry dummies predict success perfectly).

Seventh, we explore whether the results are robust
in the sample that excludes companies with prior
success in crowdfunding. We do so because suc-
cess breeds success: the set of companies with track
record of success finds it easier to attract capital (as
our results in this study confirm). Therefore, crowd
investors’ perceptions about the likelihood of suc-
ceeding again can influence their decision-making
processes and the information they seek in evaluating
companies. We obtain similar results to those reported
in Table 3 in the sample that excludes companies with
prior success in crowdfunding (Tables 14 and 15).

Finally, one may be concerned that results for the
three ratings differ due to different means and standard
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deviations of the scores. To address this concern, panel
B in Table 13 uses standardized ratings (mean = 0,
SD = 1). The results are robust, again showing the
strongest coefficients for the product rating, followed
by the team rating. We find no significant coefficients
for the financials rating. To alleviate concerns over
the fact that the ratings are calculated as the equally
weighted average of related sub-ratings, we also use
factor analysis to find the principal component fac-
tors associated with sub-ratings. We find three main
factors and obtain similar results to those reported in
Table 3.

8 Conclusion and discussion

Crowdfunding plays an increasingly important role for
innovation and entrepreneurship (Belleflamme et al.
2014; Mollick and Nanda 2016; Sorenson et al. 2016),
especially as a complement to other sources of seed
and early-stage funding to new firms (Colombo and
Shafi 2016). While reward-based crowdfunding plat-
forms, such as Kickstarter, have received most of the
attention in academic research, equity crowdfunding
is quickly becoming an important source of funding
as well. Indeed, the percentage of equity-based crowd-
funding as a proportion of the total UK seed and ven-
ture stage equity investment has grown rapidly from
just 0.3 in 2011 to 9.6% in 2014 and 15.6% in 2015
(Zhang et al. 2016, p. 10). As regulators clarify the
policy frameworks, equity crowdfunding is also likely
to accelerate in the USA and other regions (Wilson
and Testoni 2014). These developments highlight the
need for research on the functioning of equity crowd-
funding markets and of the decision processes that
non-professional investors use when choosing which
projects to support (Vulkan et al. 2016; Mohammadi
and Shafi 2018; Vismara 2018).

We complement the nascent literature on equity
crowdfunding by studying the decision criteria used by
non-professional crowdfunding investors on the currently
largest equity crowdfunding platform, Crowdcube.
In doing so, we leverage a core insight in behavioral
decision-making that argues that decision-makers do
not necessarily seek to maximize decision accuracy
but balance accuracy with the goal to limit the costs
of accessing and processing information. We find that
crowdfunding investors pay little attention to finan-
cial information contained in campaigns, consistent

with the idea that they find financial information dif-
ficult to evaluate. However, when financial stakes in
the form of equity offered in the campaign are high,
crowd investors incur the costs of assessing complex
financial information. Characteristics of the manage-
ment team are significantly related to funding success,
although experience and skills appear to matter less
than motivational aspects such as founders’ commit-
ment to the project. Characteristics of the business are
the strongest predictors of success, possibly reflecting
that these characteristics are most salient and easy to
evaluate for non-professional investors.

We acknowledge important limitations, some of
which point to additional opportunities for future
research. First, although equity crowdfunding is grow-
ing fast and we use data from the largest equity
crowdfunding platform in the UK, our sample is rel-
atively small. Future work using larger samples could
explore in more detail differences in the predictors of
success—and investors’ decision-making—between
campaigns in different industries or in different coun-
tries. Longitudinal data would also be useful in study-
ing changes in the predictors of funding success over
time. Relatedly, our data come from a single platform.
This research design allows us to avoid confounding
heterogeneity in platform characteristics such as dif-
ferent levels of competition for funding, differences in
screening mechanisms exacerbating selection biases
related to the project quality (unobservable to the
econometrician), or differences in how information
is presented. However, future research is needed to
examine whether our results generalize to other plat-
forms and how investor decision-making is impacted
by platform characteristics.

Third, although we consider three broad categories
of investment criteria that have received considerable
support in prior literature (i.e., team, business, and
financials), there may be other criteria that also influ-
ence crowd investors’ decisions. As such, our study
does not seek to identify all relevant decision criteria
but should be seen as an effort to examine the role of
some particularly salient criteria through the lens of a
behavioral decision-making framework.

Fourth, our focus is on characteristics of the new
ventures; the data do not allow us to explore whether
investment decisions also depend on characteristics of
the potential investors (Rider 2012), such as their edu-
cation (Dimov et al. 2007) or prior investment experi-
ence (Shepherd et al. 2003). Similarly, although equity
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investors in crowdfunding tend to be primarily moti-
vated by financial returns rather than non-financial
goals (Cholakova and Clarysse 2015), it would be
interesting to study whether the weight placed on team
characteristics, business plan, and financial aspects
differs depending on heterogeneity in investors’ risk
preferences (Paravisini et al. 2016), goals, and motives
(Cholakova and Clarysse 2015). Finally, we do not
have data on the size of contributions pledged by
each investor. This variable seems to offer a good
proxy for investors’ skin-in-the-game, allowing future
researchers to assess whether investors with larger
stakes exert more effort to screen projects.

Fifth, to alleviate concerns that our findings might
depend on the methodology rating agency uses to
provide scores, we follow two steps. First, we inves-
tigate the validity of scores provided by the rating
agency by assessing their correlations with objective
measures such as those generated from cash flow
statements (Tables 10, 11 and 12). Second, we have
included these objective measures in regressions pre-
dicting funding outcomes and obtain similar results.
That said, future research could benefit from explor-
ing a different methodology: coding similar criteria by
experts such as venture capitalists or business angels
and comparing these expert-based scores with crowd-
funding outcomes. For example, Mollick and Nanda
(2015) ask national experts’ opinions about crowd-
funded theoretical projects focusing on several criteria
including novelty, relevance, quality, feasibility, and
reach. At the same time, they ask experts whether
they would fund crowdfunded theoretical projects. We
suggest such approaches are better suited for shed-
ding light on the extent to which equity crowdfunders
behave more or less like professional investors.

Finally, we draw on a theoretical framework in
which decision-makers respond to information about
different aspects of crowdfunding campaigns, but the
data limit our ability to draw causal inferences and
to provide insights into the mechanisms underly-
ing our results. Future work could employ experi-
mental designs to rule out unobserved heterogene-
ity and potential endogeneity relating to omitted
variables across investors and campaigns such as
the initial momentum generated by investment from
entrepreneurs’ friends and families, pinpoint particu-
lar decision-making heuristics investors use, and tie
different decision strategies more explicitly to the
accuracy of the resulting decisions.

Notwithstanding the need for future research,
our results may have important implications for
entrepreneurs and crowd investors, platform organiz-
ers, and policy makers. Our results may be of inter-
est to entrepreneurs seeking funding by highlighting
which criteria are most strongly related to fundrais-
ing success, potentially allowing them to better judge
their projects’ prospects and to create more successful
campaigns. More fundamentally, entrepreneurs may
benefit from our framework, which highlights that
investors may not process all information but may use
a number of heuristics that reduce decision-making
costs while preserving satisfactory levels of deci-
sion accuracy. Potential investors may similarly ben-
efit from a behavioral perspective. While our frame-
work suggests potential avenues to reduce the costs
of decision-making, it also points towards potential
trade-offs in terms of lower decision quality. Although
we cannot say whether ignoring financial information
leads to worse investment decisions, this may well be
the case, and investors should consider whether they
might be able to process at least some potentially use-
ful financial information without incurring prohibitive
costs. The latter point also highlights opportunities for
platform providers, who may be able to design mecha-
nisms that allow investors to make better decisions. In
particular, to the extent that limited attention to finan-
cial indicators reflects investors’ difficulties in eval-
uating such information, platforms may help by pro-
viding distributional information or otherwise putting
campaign attributes “in context.” One such approach
might be to show different investment options side-by-
side rather than in isolation (Hsee and Zhang 2010).
Platforms might also include professional investors’
evaluations of financials to educate the crowd and
provide a comparative benchmark.

Finally, understanding the crowd’s decision-
making may also be important for policy makers.
Governments promote crowdfunding as a promis-
ing source of funding, especially for women and
minorities (Kitchens and Torrence 2012), and the UK
government makes some funding to small businesses
through crowdfunding platforms (Zhang et al. 2016).
However, it is debated whether and how the gov-
ernment should actively encourage non-professional
investors to make highly risky early-stage investments
(Wilson and Testoni 2014). If crowd investors ignore
important information and sacrifice decision accuracy
when making decisions, crowdfunding may be an
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inefficient and socially sub-optimal mechanism to
allocate capital to competing opportunities. More-
over, crowdfunding may put individual investors at
risk of losing considerable shares of their savings.
Although our study does not speak to the quality of
crowd investors’ decisions, it does suggest that policy

makers and regulators should consider explicitly how
the crowd makes decisions, what errors are likely to
be made, and what mechanisms can help improve
the efficiency of crowdfunding capital markets for
the benefit of entrepreneurs, investors, and society at
large.

Appendix

Table 6 Correlation matrix for sub-ratings

Varizables (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13)

(1) Success (0/1) 1.000

(2) Raised [£] (log) 0.645 1.000

(0.000)

(3) Management rating 0.181 0.485 1.000

(0.009) (0.000)

(4) Experience rating 0.102 0.374 0.729 1.000

(0.145) (0.000) (0.000)

(5) Skills rating 0.091 0.270 0.780 0.534 1.000

(0.190) (0.000) (0.000) (0.000)

(6) Commitment rating 0.188 0.340 0.502 − 0.022 0.073 1.000

(0.007) (0.000) (0.000) (0.754) (0.298)

(7) Business rating 0.243 0.464 0.557 0.357 0.375 0.399 1.000

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

(8) Market rating 0.174 0.319 0.398 0.361 0.286 0.154 0.691 1.000

(0.012) (0.000) (0.000) (0.000) (0.000) (0.027) (0.000)

(9) Product rating 0.173 0.418 0.436 0.184 0.228 0.465 0.766 0.285 1.000

(0.013) (0.000) (0.000) (0.008) (0.001) (0.000) (0.000) (0.000)

(10) Competition rating 0.164 0.208 0.326 0.245 0.290 0.145 0.635 0.291 0.147 1.000

(0.018) (0.003) (0.000) (0.000) (0.000) (0.038) (0.000) (0.000) (0.034)

(11) Financials rating 0.056 0.139 0.346 0.232 0.340 0.127 0.278 0.268 0.052 0.295 1.000

(0.458) (0.064) (0.000) (0.002) (0.000) (0.089) (0.000) (0.000) (0.493) (0.000)

(12) Profitability rating − 0.022 0.101 0.262 0.098 0.247 0.145 0.264 0.062 0.339 0.084 0.483 1.000

(0.771) (0.179) (0.000) (0.192) (0.001) (0.053) (0.000) (0.413) (0.000) (0.266) (0.000)

(13) Cash flow rating −0.002 0.064 0.174 0.171 0.141 0.031 0.110 0.170 −0.106 0.219 0.651 0.072 1.000

(0.978) (0.392) (0.020) (0.022) (0.059) (0.678) (0.143) (0.023) (0.159) (0.003) (0.000) (0.339)

(14) Return rating 0.098 0.123 0.222 0.166 0.198 0.120 0.153 0.189 − 0.047 0.223 0.658 − 0.071 0.248

(0.190) (0.102) (0.003) (0.027) (0.008) (0.109) (0.040) (0.011) (0.530) (0.003) (0.000) (0.342) (0.001)

The significance of each correlation (p value) is presented in parenthesis
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Table 7 Models with interaction terms between ratings

(1) (2) (3) (4) (5) (6)

Success (0/1) Success (0/1) Success (0/1) Raised [£] (log) Raised [£] (log) Raised [£] (log)

β / SE β / SE β / SE β / SE β / SE β / SE

Management ratinga 0.005 0.023∗∗ 0.011 0.030∗∗∗

(0.009) (0.010) (0.008) (0.010)

Business ratinga 0.026∗∗ 0.038∗∗∗ 0.025∗∗∗ 0.038∗∗∗

(0.010) (0.015) (0.009) (0.010)

Financials ratinga − 0.002 − 0.001 − 0.002 − 0.000

(0.010) (0.010) (0.010) (0.010)

Management ratinga × − 0.001∗∗ − 0.001∗

business ratinga (0.001) (0.000)

Management ratinga × − 0.001 − 0.001

financials ratinga (0.001) (0.001)

Business ratinga × − 0.002∗ − 0.001∗

financials ratinga (0.001) (0.001)

Prior CF success (0/1) 0.577∗ 0.530∗ 0.483 0.232 0.212 0.192

(0.318) (0.321) (0.325) (0.248) (0.268) (0.260)

High-Tech (0/1) − 0.257 − 0.259 − 0.194 0.135 0.120 0.198

(0.292) (0.285) (0.299) (0.210) (0.204) (0.213)

Equity offered − 1.332 − 1.576 − 1.590 − 1.538 − 1.813 − 1.913

(1.508) (1.394) (1.366) (1.504) (1.470) (1.404)

Target goal [£] (log) −0.162 −0.085 −0.043 0.900∗∗∗ 0.986∗∗∗ 1.028∗∗∗

(0.139) (0.138) (0.130) (0.132) (0.133) (0.120)

Age (year) 0.008 0.012 0.003 − 0.001 0.004 − 0.005

(0.038) (0.037) (0.036) (0.036) (0.036) (0.034)

Tax relief (0/1) 0.235 0.258 0.319 − 0.068 − 0.099 − 0.046

(0.429) (0.451) (0.447) (0.350) (0.320) (0.354)

London 0.263 0.184 0.253 0.271 0.178 0.232

(0.195) (0.196) (0.196) (0.181) (0.189) (0.184)

Year 2015 −0.072 −0.079 −0.102 0.063 0.063 0.071

(0.196) (0.194) (0.200) (0.170) (0.174) (0.182)

Constant 2.017 1.003 0.412 0.754 − 0.275 − 0.865

(1.708) (1.708) (1.642) (1.599) (1.580) (1.553)

Observations 207 207 207 207 207 207

Pseudo R2 0.100 0.067 0.106

Adjusted R2 0.432 0.411 0.426

LR χ2 26.907 18.263 26.328

LL − 128.603 − 133.426 − 127.794 − 331.263 − 333.966 − 331.281

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses
aThe variable is demeaned

23



K. Shafi

Table 8 OLS models predicting amount raised (%)

(1) (2) (3) (4) (5) (6) (7)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Management

Management rating 0.966∗∗ 0.724
(0.436) (0.516)

Experience rating 0.470∗

(0.251)

Skills rating 0.071

(0.260)

Commitment rating 0.598∗∗

(0.246)

Business

Business rating 1.506∗∗∗ 1.474∗∗∗
(0.421) (0.466)

Market rating 0.700∗∗

(0.330)

Product rating 0.372

(0.257)

Competition rating 0.476

(0.319)

Financials

Financials rating 0.047 − 0.553

(0.523) (0.512)

Profitability rating −0.167

(0.317)

Cash flow rating − 0.242

(0.224)

Return rating 0.384

(0.294)

Controls

Prior CF success (0/1) 16.858 16.232 14.728 14.816 16.467 17.873 15.175
(15.535) (15.631) (15.290) (15.430) (15.762) (15.195) (15.425)

High-Tech (0/1) −14.607 −16.904 −10.117 −10.677 −15.607 −18.084 −11.606
(11.372) (11.426) (12.311) (12.422) (12.304) (12.314) (11.997)

Equity offered − 147.196∗∗ − 139.726∗∗ − 129.043∗ − 130.017∗ − 203.767∗∗∗ − 207.828∗∗∗ − 104.107

(69.679) (70.131) (69.998) (70.297) (69.496) (67.816) (71.451)
Target goal [£] (log) 4.536 2.673 3.730 4.442 13.716∗∗ 14.039∗∗ 1.584

(6.670) (6.899) (6.080) (6.415) (5.946) (5.956) (6.598)

New venture − 0.549 1.643 0.514 − 1.191 − 2.354 − 7.148 2.967

(14.232) (14.327) (13.668) (13.987) (14.625) (15.059) (13.081)

Tax relief (0/1) 18.804 22.012 12.241 12.148 16.137 16.098 21.116

(19.139) (19.365) (19.091) (18.845) (18.569) (19.105) (18.368)

London 11.655 11.334 13.674 13.625 9.079 7.242 11.663

(9.597) (9.641) (9.281) (9.477) (9.677) (9.738) (9.247)

Year 2015 − 5.364 − 3.195 − 1.829 − 2.546 − 1.877 − 0.003 − 3.218

(10.332) (10.882) (9.790) (9.914) (10.239) (10.279) (10.250)
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Table 8 (continued)

(1) (2) (3) (4) (5) (6) (7)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Constant − 36.235 − 29.211 − 47.816 − 60.994 − 74.651 − 69.996 − 51.907

(73.344) (76.139) (71.417) (76.047) (78.545) (77.429) (77.232)

Observations 207 207 207 207 207 207 207

Adjusted R2 0.083 0.084 0.104 0.096 0.052 0.053 0.112

LL − 1160 − 1159 − 1158 − 1158 − 1163 − 1162 − 1155

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses

Table 9 OLS models predicting no. of funders (logged)

(1) (2) (3) (4) (5) (6) (7)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Management

Management rating 0.013∗ 0.007

(0.006) (0.007)

Experience rating 0.007∗∗

(0.004)

Skills rating − 0.003

(0.004)

Commitment rating 0.013∗∗∗

(0.004)

Business

Business rating 0.029∗∗∗ 0.030∗∗∗

(0.006) (0.007)

Market rating 0.008

(0.005)

Product rating 0.011∗∗

(0.004)

Competition rating 0.009∗∗

(0.005)

Financials

Financials rating 0.002 − 0.007

(0.008) (0.007)

Profitability rating − 0.003

(0.005)

Cash flow rating − 0.001

(0.004)

Return rating 0.005

(0.005)

Controls

Prior CF success (0/1) 0.329 0.313 0.291 0.293 0.325 0.331 0.295

(0.218) (0.214) (0.223) (0.224) (0.236) (0.232) (0.229)
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Table 9 (continued)

(1) (2) (3) (4) (5) (6) (7)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE

High-Tech (0/1) − 0.179 − 0.233 − 0.088 − 0.083 − 0.188 − 0.230 − 0.104

(0.179) (0.186) (0.190) (0.191) (0.190) (0.197) (0.194)

Equity offered − 1.784∗ − 1.663 − 1.129 − 1.105 − 2.565∗∗ − 2.654∗∗∗ − 0.928

(1.059) (1.044) (1.069) (1.073) (1.013) (0.993) (1.126)

Target goal [£] (log) 0.544∗∗∗ 0.502∗∗∗ 0.480∗∗∗ 0.475∗∗∗ 0.674∗∗∗ 0.679∗∗∗ 0.483∗∗∗

(0.094) (0.095) (0.092) (0.097) (0.089) (0.090) (0.099)

New venture 0.052 0.131 0.082 0.091 0.025 − 0.039 0.113

(0.243) (0.235) (0.222) (0.226) (0.252) (0.270) (0.213)

Tax relief (0/1) − 0.057 0.018 − 0.158 − 0.156 − 0.079 − 0.105 − 0.028

(0.324) (0.318) (0.333) (0.336) (0.317) (0.321) (0.295)

London 0.008 − 0.010 0.057 0.058 − 0.033 − 0.056 0.014

(0.142) (0.140) (0.138) (0.140) (0.146) (0.147) (0.139)

Year 2015 − 0.162 − 0.082 − 0.116 − 0.112 − 0.121 − 0.100 − 0.125

(0.145) (0.146) (0.142) (0.142) (0.150) (0.149) (0.138)

Constant − 2.578∗∗ − 2.432∗∗ − 2.663∗∗ − 2.573∗∗ − 3.308∗∗∗ − 3.189∗∗∗ − 3.062∗∗

(1.092) (1.089) (1.106) (1.155) (1.216) (1.179) (1.191)

Observations 207 207 207 207 207 207 207

Adjusted R2 0.265 0.287 0.312 0.305 0.247 0.245 0.320

LL −287 −283 −281 −280 −289 −289 −278

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses

Table 10 Models with additional management variables

(1) (2) (3) (4) (5) (6) (7)

Management Experience Skills Commitment Success (0/1) Raised Raised

rating rating rating rating [£] (log) [£] (log)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Business

Business rating 0.030∗∗∗ 0.032∗∗∗ 0.032∗∗∗

(0.010) (0.009) (0.009)

Management

Total work 0.137∗∗ 0.151 0.200∗ − 0.103 0.021∗∗ 0.009 0.011∗

experience (0.065) (0.184) (0.112) (0.129) (0.009) (0.007) (0.006)

Total tenure 0.357∗∗∗ 0.209 0.126 0.926∗∗∗ −0.015 0.002

with venture (0.101) (0.252) (0.167) (0.177) (0.016) (0.012)

Diverse 2.259∗∗∗ 4.224∗∗∗ 1.845∗ 1.442 0.025 0.021

occupations (0.615) (1.303) (1.034) (0.915) (0.093) (0.077)

Financials

Financials rating − 0.003 0.001 0.001

(0.010) (0.010) (0.010)
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Table 10 (continued)

(1) (2) (3) (4) (5) (6) (7)

Management Experience Skills Commitment Success (0/1) Raised Raised

rating rating rating rating [£] (log) [£] (log)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Controls

Prior CF success (0/1) 0.549 0.198 0.208

(0.345) (0.271) (0.262)

High-Tech (0/1) − 0.247 0.164 0.162

(0.292) (0.225) (0.222)

Equity offered − 0.763 − 1.137 − 1.183

(1.399) (1.475) (1.456)

Target goal [£](log) − 0.186 0.915∗∗∗ 0.924∗∗∗

(0.136) (0.134) (0.129)

New venture 0.009 0.087 0.074

(0.329) (0.310) (0.307)

Tax relief (0/1) 0.282 − 0.012 − 0.011

(0.448) (0.337) (0.340)

London 0.261 0.267 0.274

(0.195) (0.180) (0.181)

Year 2015 − 0.052 0.119 0.121

(0.198) (0.176) (0.177)

Constant 60.986∗∗∗ 49.373∗∗∗ 65.531∗∗∗ 66.425∗∗∗ 0.156 −1.879 −1.967

(1.676) (2.855) (2.517) (2.367) (1.652) (1.555) (1.509)

Management rating

Adjusted R2 0.220 0.121 0.065 0.150 0.422 0.427

LL − 823 − 933 − 911 − 899 − 128 − 332 − 332

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses
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Table 11 Models with additional business variables

(1) (2) (3) (4) (5) (6)

Business rating Market rating Product rating Competition rating Success (0/1) Raised [£] (log)

β / SE β / SE β / SE β / SE β / SE β / SE

Management

Management rating 0.027∗∗∗ 0.029∗∗∗

(0.009) (0.009)

Business

Patents 3.276∗∗ 3.115∗∗∗ 4.308∗∗∗ 2.415 0.024 0.070

(1.293) (0.843) (1.633) (2.220) (0.111) (0.070)

Barriers to entry: medium 4.867∗∗ 4.396∗ 7.723∗ 2.544 − 0.644∗∗ − 0.585∗∗

(2.004) (2.461) (4.157) (2.447) (0.257) (0.235)

Barriers to entry: high 2.464 −0.814 4.863 3.574 −0.797∗∗ −1.033∗∗∗

(3.769) (4.133) (6.161) (4.462) (0.375) (0.377)

Competition: high − 0.120 − 0.001 − 2.276 2.301 − 1.030∗∗∗ − 0.771∗∗

(3.014) (3.352) (4.549) (3.586) (0.344) (0.297)

Market share 5.292 9.907∗∗∗ 5.570 0.162 1.180∗∗∗ 1.182∗∗∗

concentration: medium (3.642) (3.805) (5.613) (5.127) (0.389) (0.342)

Financials

Financials rating − 0.003 − 0.003

(0.010) (0.010)

Controls

Prior CF success (0/1) 0.416 0.109

(0.322) (0.247)

High-Tech (0/1) 0.001 0.295

(0.299) (0.219)

Equity offered − 1.874 − 2.225

(1.383) (1.368)

Target goal [£](log) −0.226 0.876∗∗∗

(0.141) (0.135)

New venture 0.006 0.043

(0.331) (0.295)

Tax relief (0/1) 0.570 0.302

(0.490) (0.353)

London 0.305 0.206

(0.201) (0.186)

Year 2015 −0.095 0.028

(0.203) (0.172)

Constant 55.399∗∗∗ 68.184∗∗∗ 56.536∗∗∗ 41.129∗∗∗ 1.970 − 0.097

(3.434) (3.919) (5.781) (4.071) (1.746) (1.634)

Adjusted R2 0.079 0.063 0.038 0.004 0.449

LL − 797 − 833 − 919 − 861 − 124 − 325

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses
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Table 13 Additional robustness tests

Panel A (1) (2) (3) (4) (5) (6) (7) (8)

Success (0/1) Raised Success (0/1) Success (0/1) Success (0/1) Raised Raised Raised

[£] (log) [£] (log) [£] (log) [£] (log)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Management rating 0.016∗ 0.022∗∗

(0.009) (0.009)

Business rating 0.044∗∗∗ 0.039∗∗∗

(0.010) (0.010)

Financials rating 0.006 0.008 0.009 0.014

(0.009) (0.011) (0.010) (0.011)

Constant − 0.818 − 2.928∗ − 0.743 − 1.035 − 2.054 − 2.484 − 1.228 − 3.588∗

(1.623) (1.499) (1.775) (1.730) (1.907) (1.604) (1.634) (1.866)

Observations 179 179 203 203 203 207 207 207

Pseudo R2 0.075 0.139 0.184 0.130

Adjusted R2 0.402 0.446 0.477 0.427

LR χ2 16.688 37.629 49.515 36.198

LL − 114.389 − 293.110 − 120.960 − 114.637 − 122.122 − 321.509 − 315.519 − 324.430

Panel B (1) (2) (3) (4) (5) (6)

Success (0/1) Success (0/1) Success (0/1) Raised [£] (log) Raised [£] (log) Raised [£] (log)

β / SE β / SE β / SE β / SE β / SE β / SE

Standardized 0.245∗∗ 0.316∗∗∗

management rating (0.118) (0.121)

Standardized 0.336∗∗∗ 0.369∗∗∗

business rating (0.110) (0.108)

Standardized 0.057 0.095

financials rating (0.096) (0.113)

Constant 1.197 1.428 −0.501 −0.098 −0.038 −2.227

(1.643) (1.606) (1.557) (1.577) (1.523) (1.452)

Observations 207 207 207 207 207 207

Pseudo R2 0.059 0.075 0.044

Adjusted R2 0.409 0.422 0.386

LR χ2 14.341 19.616 11.967

LL − 134.500 − 132.189 − 136.643 − 336.397 − 334.137 − 339.883

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses

Both tables have unreported control variables of Table 3
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Table 15 OLS models predicting amount raised (logged): restricted sample that excludes companies with prior CF success

(1) (2) (3) (4) (5) (6) (7)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Management

Management rating 0.024∗∗∗ 0.017∗

(0.009) (0.009)

Experience rating 0.012∗∗

(0.005)

Skills rating 0.002

(0.005)

Commitment rating 0.014∗∗

(0.006)

Business

Business rating 0.032∗∗∗ 0.030∗∗∗

(0.010) (0.010)

Market rating 0.016∗∗

(0.008)

Product rating 0.009

(0.007)

Competition rating 0.009

(0.006)

Financials

Financials rating 0.011 − 0.002

(0.012) (0.011)

Profitability rating 0.000

(0.007)

Cash flow rating − 0.000

(0.005)

Return rating 0.007

(0.007)

High-Tech (0/1) 0.235 0.173 0.301 0.294 0.235 0.202 0.313

(0.222) (0.230) (0.237) (0.239) (0.235) (0.242) (0.215)

Equity offered − 1.366 − 1.195 − 1.224 − 1.156 − 2.732∗ − 2.766∗ − 0.807

(1.574) (1.584) (1.544) (1.582) (1.486) (1.498) (1.657)

Target goal [£] (log) 0.823∗∗∗ 0.789∗∗∗ 0.852∗∗∗ 0.853∗∗∗ 1.055∗∗∗ 1.065∗∗∗ 0.800∗∗∗

(0.142) (0.146) (0.128) (0.135) (0.119) (0.120) (0.145)

Age (year) 0.041 0.041 0.028 0.031 0.042 0.047 0.021

(0.031) (0.035) (0.032) (0.033) (0.032) (0.033) (0.031)

Tax relief (0/1) 0.017 0.087 −0.161 −0.145 −0.053 −0.025 0.014

(0.307) (0.318) (0.371) (0.368) (0.308) (0.309) (0.329)

London 0.292 0.280 0.329∗ 0.336∗ 0.257 0.234 0.271

(0.193) (0.194) (0.191) (0.194) (0.204) (0.205) (0.189)

Year 2015 0.125 0.181 0.162 0.141 0.170 0.192 0.104

(0.182) (0.178) (0.181) (0.185) (0.190) (0.189) (0.185)

Constant − 0.392 − 0.259 − 0.816 − 1.013 − 1.959 − 1.836 − 1.345

(1.459) (1.466) (1.448) (1.544) (1.567) (1.535) (1.564)
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Table 15 (continued)

(1) (2) (3) (4) (5) (6) (7)

β / SE β / SE β / SE β / SE β / SE β / SE β / SE

Observations 186 186 186 186 186 186 186

Adjusted R2 0.386 0.388 0.395 0.390 0.359 0.351 0.409

LL − 304 − 303 − 303 − 302 − 307 − 308 − 299

*p < 0.1, **p < 0.05, ***p < 0.01. Robust standard errors in parentheses
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