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Abstract This study examines the value of stock recommendations made by columnists

in three leading business magazines; Business Week, Forbes, and Fortune during the period

2000–2003. Empirical results suggest that the anomalous returns documented in prior

studies on columnists are sample specific and are not representative of columnist recom-

mendations in general. We also investigate whether columnists’ timing, content and style

affect the market reaction to recommendations. We find that recommendations that contain

references to management or provide merger & acquisition related rumor trigger signifi-

cantly greater market reactions. Finally, our long-term performance analysis of columnist

recommendations suggests that investors following columnists’ advice during the 2000–

2003 period would not have consistently earned abnormal returns controlling for market

risk, book-to-market, size, and momentum effects.
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1 Introduction

Business magazines remain well and alive amid today’s high-tech and fast serving

information intermediaries such as websites and data feeds. Today, business magazines

continue to cater to readers interested in keeping up with financial markets and to those

who are in the process of making investment decisions. Leading business magazines are

still read by millions and advertisement spots in these publications are highly demanded.

For the 6-month period ending in June 31st, 2005, Business Week, Forbes and Fortune

magazines each reported readership figures in ranges of three to five million readers—

exceeding 13 million readers combined (see Table 1).

Despite their reach to wide investor masses, research on columnists’ stock recom-

mendations has been overshadowed by research on financial analysts. The literature often

regards financial analysts as investors’ sole source of advice and sets aside other sources as

either similar to analysts or minor in follower size. Nevertheless columnists are highly

influential in investors’ decision making process and differ from financial analysts in many

respects.

This study focuses on business magazine columnists’ recommendations in general.

Previous research on this area is concentrated only on a few columns and is limited to the

short term market reaction to columnists’ recommendations. Whether the documented

findings are similar for columnists in other magazines is an unanswered empirical question.

Moreover there is no prior research on what types of stocks columnists recommend, the

content of their recommendations and what columnist recommendations’ long-term per-

formance is.

We extend this line of research on several fronts. First we employ an extensive sample

encompassing all stock recommendations made by leading business magazines. This gives

us more room to generalize our results to the columnist profession. We then move on to

columnists’ behavior and explore what type of stocks columnists recommend. Further, we

examine how recommendations’ timing, content and style are associated with recom-

mendations’ market reaction. Finally, we examine the long-term performance of

columnists’ stock recommendations.

Our results suggest that previous studies’ findings on columnists are not pervasive in the

large sample of columnist recommendations we study. Published results on certain col-

umnists are actually limited to those specific columnists and documented findings are not a

profession wide phenomenon. These results reaffirm Fama’s (1998) concerns of only

anomalous findings being published in the literature.

Further, we find that recommendations that have references to management officials or

that contain merger and acquisition news generate significantly greater market reactions.

Overall, our results expand the understanding of columnist recommendations’ impact on

Table 1 Circulation and readership data
The circulation data for the 6 months ending June 31, 2005 (from the Audit Bureau of Circulation) and the
readership data (from Spring 2005 MRI) are reported for the three business magazines

Publication name Paid circulation Readers per copy

Business Week 985,029 4.83

Forbes 925,959 5.19

Fortune 857,309 4.26
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prices, the long-term value of recommendations to investors and the relation between

recommendations’ qualitative characteristics and their market impact.

The remainder of this paper is organized as follows. Section 2 provides an overview of

the literature. Section 3 describes the data and explains the methodology. Section 4 pre-

sents and discusses the empirical results, and Section 5 concludes.

2 Literature review

Researchers have focused on market reaction to columnists’ stock recommendations for

several decades. In fact research on columnist recommendations dates back to Cowles’s

(1933) early study. Cowles, in his study, examined Wall Street Journal editor William

Peter Hamilton’s recommendations and found them to be inferior to a buy and hold

strategy. Since then, numerous studies have investigated the return behavior surrounding

columnists’ stock recommendations.

Particularly after Fama et al. (1969) event study on dividend announcements and

Fama’s (1970) efficient markets hypothesis there was an increase in research studying

stock recommendations. In this period, Lloyd-Davies and Canes (1978) (hereafter, LC)

examined the performance of second-hand information published in the Wall Street

Journal (Heard on the Street) for the period, 1970–1971. They documented that Wall Street
Journal (WSJ) articles affected stock prices on publication day. This implied that col-

umnists could have traded and generated abnormal profits based on the column’s

information prior to its publication. More interestingly the columns did not provide any

information that was not available to the public, they merely repeated previous news. LC

argued that the publication effect on returns suggested that not all publicly available

information was fully reflected in prices and WSJ articles helped markets adjust to pre-

viously disseminated information. Lloyd-Davies and Canes’ findings, although for a

limited sample, provided evidence against strong-form efficient market hypothesis. Later

Liu et al. (1990) and Beneish (1991) found confirming results using data from 1982–1985

and 1978–1979, respectively. Palmon et al. (1994) study also showed similar behavior for

stocks mentioned in the ‘‘Inside Wall Street’’ column of Business Week magazine for the

period 1983–1989. However, different from LC, later studies also documented reversals in

prices to pre-publication levels. In most studies, a slow reversal was spotted within the

20–25 day period following recommendations. In addition, Liu et al. and Palmon et al.

documented a significant increase in trading volume during the 3 days centered on the

publication day of the columns. On the other hand Lee (1986) measured the abnormal

returns before and after the publication of the Forbes column written by Heinz H. Biel. He

found that recommendations did not allow investors to consistently outperform the market

but provided useful information.

The aforementioned studies relied on the information hypothesis to explain recom-

mended stocks’ return behavior surrounding the publication day. The information

hypothesis claimed that the column’s publication revealed new information to the public

and this yielded an abnormal return on publication day.

A stream of subsequent articles relied on the price pressure hypothesis to explain

abnormal returns on the publication day. The price pressure hypothesis asserted that heavy

buying pressure by naı̈ve investors drove abnormal returns on publication day.

Among the studies that relied on the price pressure hypothesis were Sant and Zaman

(1996) and Mathur and Waheed (1995). They studied price reactions to stocks mentioned

in Business Week’s ‘‘Inside Wall Street’’ column for the periods; 1976–1988 and
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1981–1989, respectively. Barber and Loeffler (1993), Metcalf and Malkiel (1994), and

Liang (1999) examined Wall Street Journal’s Dartboard column for a period covering the

early 1990s. Pari (1987) and Ferreira and Smith (2003) looked at recommendations

brought up in the television program Wall Street Week. These studies, using the price

pressure hypothesis explained positive abnormal returns on the publication day and neg-

ative returns during the subsequent 20 days.

The literature provides evidence on specific columns in the financial press. Prior results

suggest that columnist recommendations have an economically significant impact on firm

market value. However, whether these results can be generalized remains unclear. In

addition, prior research only studies the implications of recommendations’ final output

(e.g., buy or sell) on asset prices. There are no prior studies examining the relation between

market reaction and recommendations’ timing, content and style. We aim to fill this gap in

the literature by studying a large sample of columnist recommendations, examining the

relation between recommendations’ market impact and contextual characteristics and

assessing recommendations’ long-term performance.

3 Data and methodology

3.1 Data

We hand collected information on all stock recommendations made in the three leading

business magazines; Business Week, Forbes and Fortune during the 4-year period between

2000 and 2003. These magazines were selected on the basis of their wide circulation and

readership (see Table 1). For each stock recommendation we recorded columnist’s name,

recommended trading position, columnist’s source of information (whether it relied on his

research or someone else’s research), whether the recommendation contained a reference to

other investors, managers or analysts, whether it had merger and acquisition or product related

news, and the date on the cover of the issue. Ambiguous recommendations were excluded.

The final sample, which is the intersection of CRSP (Center for Research in Security

Prices) and our recommendation sample, consists of 2,503 buy recommendations.1 Dates

on the cover of magazines do not indicate magazines’ publication dates. To identify the

first day that readers had access to the magazines, we retrieved magazine sale dates for

each magazine’s issues from the Standard Rate and Data Service—Consumer Magazine

volumes.

We obtained data on return, price, shares outstanding and trading volume from the

CRSP’s daily file, quarterly earnings announcement dates from Compustat’s quarterly file

and accounting data from Compustat’s annual file. We compiled data on financial analysts’

consensus recommendation rating from the I/B/E/S recommendation file and earnings

forecasts from I/B/E/S’s detail file. In addition, we retrieved all upgrades made by financial

analysts from the I/B/E/S recommendation file.

We obtained data on the bid-ask spread from the TAQ database and included the Gibbs

and Amihud liquidity variables from the database made available by Joel Hasbrouck.

Finally, we downloaded Fama and French (1993) and Carhart (1997) factor returns and

Fama & French industry classifications from Kenneth French’s website.2

1 In addition to buy recommendations there were 129 sell recommendations in our sample. Due to the
limited number of sell recommendations we excluded them from our analysis.
2 We thank Kenneth French and Joel Hasbrouck for making their data available.
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3.2 Event study methodology: a review

Event-study analysis has been widely applied to investigate research questions in numerous

academic fields including accounting, economics, finance and law (see Binder 1998). The

event-study methodology allows researchers to measure the economic impact of an event

on firm value and test market efficiency. One of the earliest studies to use the event study

methodology was Dolley (1933) who investigated the impact of stock-splits on security

prices. Myers and Bakay (1948), Barker (1956) and Ashley (1962) were other early studies

that used the event study analysis. The seminal studies by Ball and Brown (1968) and Fama

et al. (1969) developed the event study methodology substantially and a variation of their

methodology continues to be in use today.

Since event study analysis’s development, a wide range of methodologies has been

applied to estimate the economic impact associated with events and corporate develop-

ments. These include (1) mean adjusted model, (2) market adjusted model, (3) market and

risk adjusted returns model, (4) calendar-time portfolio approach, (5) Ibbotson’s returns

across time and securities (RATS) approach, (6) event parameters approach and (7) cross-

sectional stochastic dominance approach.

The mean adjusted returns model estimates abnormal returns (eit) as the difference

between raw returns (Rit) and a firm-specific constant expected return (Ci): eit = Rit - Ci.

The market adjusted returns model assumes abnormal returns for all firms to be equal to the

market return and estimates abnormal returns as the difference between raw and market

returns: eit = Rit - Rmt. The market and risk adjusted returns model estimates abnormal

returns based on expected returns derived from an asset pricing model (e.g., CAPM, three-

factor, four-factor model). This method involves a 2-stage estimation whereby first risk

sensitivities are estimated and in the second stage these sensitivities are used to compute

expected (E[Rit]) and abnormal (eit) returns: eit = Rit - E[Rit]. In the calendar-time

portfolio approach a rolling portfolio is formed each period which includes all sample firms

remaining in the event period. When CAPM is assumed to be the asset pricing model,

constructed portfolio’s excess returns are regressed on excess market returns and the

intercept (also known as the Jensen’s alpha) of the regression is used as an estimate of

abnormal returns. Ibbotson’s RATS approach developed by Ibbotson (1975) computes

abnormal returns as the intercept of the cross-sectional regression that is estimated for each

event period. This approach is particularly useful in estimating abnormal returns when

there is no historical return data to estimate market model parameters. The event param-

eters approach developed by Binder (1985) and Schipper and Thompson (1983) relies on

the simultaneous estimation of a system of equations which conditions the return gener-

ating process on the occurrence of an event. To accomplish this, the market model

(or multifactor model) is augmented with a dummy variable that equals one if an event

took place and zero otherwise. The event parameter approach possesses the advantage of

providing test statistics that potentially reflect the cross-sectional covariance among firms.

Finally, the cross-sectional stochastic dominance approach examines the whole distribution

of returns of assets and tests whether investors can increase expected utility by investing in

an alternative asset. The primary advantage of this approach is that it does not make

distributional assumptions and does not require the identification of risk measures. There

are three major types of stochastic dominance: first-order, second-order and third-order.

The first-order stochastic dominance makes no assumption regarding investors’ risk

preference, the second-order assumes that investors are not risk preferring and the third-

order assumes decreasing absolute risk aversion. Larsen and Resnick (1999) based on
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simulations find that the stochastic dominance approach augmented with the bootstrap

method performs as well and at times better than traditional event study methodologies.

In this study, to analyze the short-term behavior surrounding recommendations we use

the market and risk-adjusted returns model and to assess the long-term performance of

recommendations we use the calendar-time portfolio regression approach which was also

used by Jaffe (1974) and Mandelker (1974) and advocated by Mitchell and Stafford (2000).

3.2.1 Short-term return analysis

To measure the short term market reaction to columnists’ recommendations we use the

four-factor model (market model augmented with Fama & French and Carhart factors).

The four-factor model relies on the linear relationship between returns of individual stocks,

market, size, book-to-market and momentum portfolios. For any security i:

Rit ¼ ai þ biRmt þ siSMBt þ hiHMLt þ uiUMDt þ nit ð1Þ

where Rit is firm i’s return on day t. Rmt is the CRSP value weighted index return for day t.
SMB is the average return on the three small portfolios (value, neutral and growth) minus

the average return on the three big portfolios (value, neutral and growth), HML is the

average return on the two value portfolios (small and big) minus the average return on the

two growth portfolios (small and big), UMD is the average return on the two high prior

return portfolios (small and big) minus the average return on the two low prior return

portfolios (small and big).3eit, is a zero-mean disturbance term. The parameters of Eq. 1

are estimated using a 255 day estimation period (between s–46 and s–300 where s is the

event date). The abnormal return for the ith asset on day t is defined as:

ARit ¼ Rit � ðâi þ b̂iRmt þ ŝiSMBt þ ĥiHMLt þ ûiUMDtÞ

where the coefficients âi, b̂i, ŝi, ĥi and ûi are ordinary least squares estimates of ai, bi, si, hi,

and ui in Eq. 1. The cumulative average abnormal return for the period between T1 and T2

is defined as:

CAART1;T2
¼ 1

N

XN

i¼1

XT2

t¼T1

ARit:

The null hypothesis of CAART1; T2
¼ 0 is tested using the following test statistic:

t ¼ CAART1; T2

r̂AAR

ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
T2 � T1 þ 1
p �Nð0; 1Þ

where r̂2
AAR ¼

PT2

t¼T1

ðAARt�AARÞ2

T2�T1�1
and AAR ¼

PT2

t¼T1

AARt

T2�T1�1
: We also compute the generalized sign z

test statistics which is a non-parametric test-statistics. Cowan (1992) based on simulations

using daily stock return data finds the generalized sign test to be well specified and superior

to the rank test when investigated securities have thin trading, large return variance or the

3 Fama and French (1993) construct the six portfolios used in the calculation of SMB and HML factor
returns at the end of each June using the intersections of two portfolios (small and big) formed on size
(market equity) and three portfolios (value, neutral and growth) formed on the ratio of book equity to market
equity (BE/ME). The size breakpoint for year t is the median NYSE market equity at the end of June of year
t. BE/ME for June of year t is the book equity for the last fiscal year end in t - 1 divided by ME for
December of t - 1. The BE/ME breakpoints are the 30th and 70th NYSE percentiles.
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examined event windows are long. To compute the generalized sign test statistics we first

measure the ratio of positive abnormal returns during the estimation period (255 days):

p̂ ¼ 1

n

Xn

j¼1

1

255

XE255

t¼E1

Sjt

where Sjt ¼
1 if ARjt [ 0

0 otherwise

�
. Then use the positive to negative abnormal return ratio

from the estimation period as the expected ratio for the test window. Finally, we calculate

the number of positive abnormal returns (w) and measure its divergence from the expec-

tation as Z ¼ w�np̂

ðnp̂ð1�p̂ÞÞ1=2.

3.2.2 Abnormal trading volume analysis

To measure abnormal trading volume behavior we use the market model approach

described in Ajinkya and Jain (1989) and Campbell and Wasley (1996).4 In this meth-

odology a trading volume metric for each day and security is computed and regressed on

CRSP equally weighted index’s trading volume metric. The residuals derived from this

estimation are then used as the abnormal trading volume indicator. The trading volume

metric is computed as follows:

Vit ¼ log
nit � 100

Sit

þ 0:000255

� �
ð2Þ

where nit is the number of shares traded for firm i on day t, Sit is the firm’s outstanding

number of shares on day t. As suggested by the results in Ajinkaya et al. and Cready and

Ramanan (1991), we use the log-transformation of percentage of shares traded. Before

taking the log-transformation, we add a small constant of 0.000255 to prevent taking the

log of zero, in case there is no trading volume on any firm day (as in Campbell et al.). The

market model abnormal trading volume is as follows:

Vit ¼ ci þ qiVmt þ vit: ð3Þ

And abnormal trading volume is defined as:

vit ¼ Vit � ðĉi þ q̂iVmtÞ

where ĉi and q̂i are ordinary least squares estimates of the trading volume market model

parameters. Vmt is computed as the sum of the trading volume metric of all securities in the

CRSP equally weighted-index: Vmt ¼ 1
N

PN

i¼1

Vit.

3.2.3 Regression analysis

In addition to the univariate analysis, we conduct a regression analysis of publication

returns to examine the variation in returns to recommendations’ source, timing and content

while controlling for liquidity, information leakage, information asymmetry and size

factors.5 Using ordinary least squares (OLS) we estimate the following equation:

4 Our methodology to estimate abnormal trading volume is consistent with Barber and Loeffler (1993) and
Liang (1999).
5 We are indebted to the referee for making us numerous suggestions regarding the regression model.
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CARð�1;þ1Þi ¼aþ b1IWSi þ b2SPREADi þ b3CARð�10;�2Þi þ b4FOR STDi

þ b5RNDi þ b6SIZEi þ b7DIRECTi þ b8REF ANLYSTi

þ b9REF MGMTi þ b10MERGER NEWSi þ b11PRODUCT NEWSi

þ b12CNFDGþ
X49

k¼1
/kINDþ ei ð4Þ

where the dependent variable CAR(-1, ?1) is the three-day cumulative abnormal return

centered on the date of recommendation. IWS is an indicator variable that takes a value of

one (zero otherwise) for recommendations published in the Inside Wall Street column.

Recommendations may be associated with significantly higher returns due to recom-

mended stock’s liquidity. To control for liquidity we include the variable SPREAD which

is the trade-weighted relative bid-ask spread computed based on all transactions made

during the most recent calendar-month before the recommendation date. In untabulated

analysis instead of using SPREAD, we use the sum of the number of shares traded during

the most recent fiscal year divided by the average number of shares outstanding, CRSP/

Gibbs estimate of effective cost and the Amihud (2002) illiquidity measure. The results

remain robust to the choice of liquidity measure. For brevity, we report results based on the

use of the SPREAD variable.

To control for information leakage we include the cumulative abnormal return during

the 9-day period ending 2 days before the recommendation, CAR (-10, -2). The market

reaction on publication day may be associated with the amount of information that was

leaked before the recommendation was made public.

To control for information asymmetry we include the standard deviation of analysts’

earnings forecasts, FOR_STD and the ratio of R & D expenditure and sales for the most recent

fiscal year assuming a reporting lag of three-months, RND_INTENSITY.6,7 Finally, we

control for size using the natural logarithm of the recommended firm’s market value, SIZE.

To examine the relation between recommendations’ contextual characteristics and their

market reactions we include several indicator variables. DIRECT is an indicator variable

that takes a value of one for recommendations that rely on the columnist’s own analysis

rather than other sources’ (e.g., analysts, money managers) analysis. REF_ANLYST,

REF_INV, and REF_MGMT are indicator variables that take a value of one for recom-

mendations that make references to analysts, investors, and management, respectively.

MERGER_NEWS and PRODUCT_NEWS are indicator variables that take a value of one

for recommendations that contain merger & acquisition rumor and product news,

respectively. CNFDG is an indicator variable that takes a value of one for recommenda-

tions that follow an earnings announcement, analysts forecast, recommendation or other

columnist’s recommendations within a seven-day period. Finally, we include Fama and

French 49 industry fixed-effects, IND, to control for industry effects.

3.2.4 Long term performance analysis

To measure the long term abnormal performance of stock recommendations we first

construct a rolling value-weighted daily portfolio that takes positions in shares of

6 When R&D expenditure is missing we replace it with zero.
7 Another potential factor that can be used to control for information asymmetry is the number of analyst
following. However, this variable is highly correlated with firm size. In untabulated analysis we exclude firm
size from the regression model, control for analyst following and find similar results.
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recommended firms. A recommended stock enters the portfolio 1 day after the magazine’s

publication date and remains in the portfolio for 1 year. The portfolio’s value-weighted

daily return is computed as

VWpd ¼

Pnp;d

m¼1

Rm;d �mvm;d�1

Pnp;d

m¼1

mvm;d�1

where Rm,d is the day d return on security m, np,d is the number of firms in the portfolio and

mvm;d�1 is the market value of firm m on day d - 1. The daily portfolio returns are

compounded to monthly returns, Rpt, as follows:

Rpt ¼
Ynd

t¼1

ð1þ RpdÞ
" #

� 1

where nd is the number of trading days in the month t and Rpd is the raw return for the

portfolio on day d. Then, using OLS, we regress this portfolio’s monthly excess returns on

excess market returns, size, book-to-market and momentum factor returns.8

Rpt � Rft ¼ aþ biðRmt � RftÞ þ siSMBt þ hiHMLt þ uiUMDt þ nit ð5Þ

where Rpt is the value-weighted monthly return for month t, Rft is the Ibbotson One

Month Treasury Bill Rate. The market and factor returns are as defined in Eq. 1. In this

regression, the intercept (also known as the Jensen’s alpha) is an estimate of the average

monthly abnormal return accumulated by holding the portfolio during the estimation

period.

4 Empirical results

4.1 Short-term return behavior

The short-term return analysis reveals that share prices of firms recommended by col-

umnists increase prior to and on publication day. The running cumulative average return

for columnist recommendations, illustrated in Fig. 1, begins increasing 3–4 days prior to

publication day and rises sharply on publication day. The cumulative average abnormal

return for the 3 day period centered on the publication day is 1.41% (Table 2, Panel A)

which is statistically significant at the one-percent significance level.

However, the increase in prices prior to and on publication day of columnist recom-

mendations is temporary. Part of the cumulative return accumulated up to publication day

is reversed within the 20-day period following columnist recommendations. In comparison

to the 1.41% market reaction on publication the cumulative average abnormal return for

the (?2, ?20) is -1.60% which is statistically significant at the 1% significance level.

Analyst upgrades are also associated with a strong market reaction leading up to

announcement date which however is not followed by a price reversal. The cumulative

average abnormal return for the 3-day period centered on analyst upgrades’ publication day

is 3.02% (Table 2, Panel B). The 3.02% market reaction is statistically significant based on

8 Excess return is raw monthly return minus the one-month Treasury Bill rate (monthly).
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both parametric and non-parametric tests. In contrast to columnist recommendations,

analyst upgrades do not exhibit a price reversal during the post-event period. The cumu-

lative average abnormal return for analysts’ upgrades for the (?2, ?20) event window is

-0.02% and the median CAR is 0.29%. In untabulated analysis, we find the mean dif-

ference between the cumulative average abnormal return (?2, ?20) of analysts’ and

columnists’ recommendations to be statistically significant.

The return behavior following analyst and columnist recommendations is substantially

different. We observe no price reversal for analyst upgrades whereas a strong price reversal

follows columnists’ stock recommendations. The price reversal we document for columnist

recommendations is consistent with the price pressure hypothesis whereby no new infor-

mation is released to the markets but prices temporarily increase because of buying

pressure imposed by investors. On the other hand, financial analysts’ upgrades appear to

reveal more information which the markets incorporate into prices without a subsequent

short-term price reversal.

The return behavior we document for columnists is substantially weaker in magnitude

than findings of prior studies that examine particular columns in business magazines. For

instance, Palmon et al. (1994), Mathur and Waheed (1995), and Sant and Zaman (1996)

find that the cumulative average abnormal return for publication ranges between 2.44% and

3.25% whereas we document a 1.41% market reaction on publication.

A potential explanation for the difference between our findings and prior studies’ results

is the sample we use. Prior studies focus on particular columns whereas we study a large

sample of columnist recommendations from several leading business magazines. The most
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Fig. 1 Abnormal return behavior during the 30 day period centered on recommendation-publication-day.
The x-axis indicates the number of days relative to recommendation’s publication date. The y-axis represents
the average abnormal return cumulated starting 15 days before the recommendation’s publication date up to
the corresponding day on the x-axis. Abnormal returns are computed using the 4-factor model with the
CRSP value-weighted index as the market index. Six separate running cumulative average abnormal return
series are illustrated for: (1) the Inside Wall Street (IWS) column, (2) Business Week excluding IWS, (3)
Forbes, (4) Fortune, (5) all columnists (BW, Forbes and Fortune), and (6) financial analysts’ upgrades
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Table 2 Short term performance of stock recommendations
The table below reports the abnormal returns associated with buy recommendations in the six sub-samples.
Panels A–F report the abnormal returns of buy recommendations made by (A) BW, Forbes and Fortune (all
columnists), (B) financial analysts, (C) Inside Wall Street, (D) Business Week excluding Inside Wall Street,
(E) Forbes, and (F) Fortune. In each panel, cumulative average abnormal return (CAAR), median cumu-
lative abnormal return (CAR), ratio of positive and negative abnormal returns, t-statistics, generalized sign
test statistics and number of observations is reported for the five event windows

(-20, -2) (-5, -2) (-1, ?1) (?2, ?5) (?2, ?20)

Panel A: All columnist recommendations

CAAR -0.02% 0.37% 1.41% -0.07% -1.60%

Median CAR 0.19% 0.23% 0.61% 0.04% -0.92%

Positive:negative 1270:1233 1309:1194 1433:1070 1262:1240 1168:1334

t-statistics -0.054 2.545* 11.270*** -0.516 -5.073***

Generalized sign test 2.442* 4.002*** 8.962*** 2.142* -1.619

N 2,503 2,503 2,503 2,503 2,503

Panel B: Financial analyst upgrades

CAAR -1.45% -0.36% 3.02% 0.18% -0.02%

Median CAR -1.35% -0.23% 1.89% 0.11% 0.29%

Positive:negative 10300:12633 10992:11941 14916:8017 11728:11201 11729:11200

t-statistics -8.720*** -4.679*** 45.705*** 2.417* -0.100

Generalized sign test -11.702*** -2.560* 49.279*** 7.189*** 7.203***

N 22,933 22,933 22,933 22,929 22,929

Panel C: Recommendations by the Inside Wall Street column

CAAR 2.30% 1.34% 4.61% -0.31% -3.45%

Median CAR 1.57% 0.61% 2.48% -0.13% -1.67%

Positive:negative 305:246 304:247 363:188 269:282 243:308

t-statistics 2.508* 3.179** 12.666*** -0.730 -3.762***

Generalized sign test 3.719*** 3.634*** 8.667*** 0.648 -1.571

N 551 551 551 551 551

Panel D: Recommendations by Business Week Magazine (excluding IWS)

CAAR -0.46% -0.17% 0.30% -0.10% -3.89%

Median CAR -0.24% 0.07% 0.42% -0.15% -3.18%

Positive:negative 278:287 285:280 316:249 271:293 225:339

t-statistics -0.571 -0.459 0.958 -0.274 -4.865***

Generalized sign test 0.379 0.968 3.578*** -0.170 -4.046***

N 565 565 565 565 565

Panel E: Recommendations by Forbes Magazine

CAAR -0.99% 0.47% 0.55% -0.07% 0.56%

Median CAR -0.24% 0.21% 0.33% 0.25% 0.57%

Positive:negative 387:404 411:380 432:359 417:374 415:376

t-statistics -2.060* 2.117* 2.853** -0.319 1.151

Generalized sign test 0.054 1.761 3.255** 2.188* 2.045*

N 791 791 791 791 791

Panel F: Recommendations by Fortune Magazine

CAAR -0.44% -0.15% 0.65% 0.16% -0.58%

Median CAR 0.06% 0.14% 0.36% 0.12% -0.62%

Positive:negative 300:296 309:287 322:274 305:291 285:311

The value of columnists’ stock recommendations 219

123



widely examined business magazine column in the prior literature is the Inside Wall Street

(IWS) column of Business Week magazine. In search of an explanation for differences

between our finding and prior findings we split our sample into four sub-samples: IWS,

Business Week (excluding IWS), Forbes and Fortune.

The sub-sample analysis reveals that the Inside Wall Street column drives our full

sample results. The return behavior surrounding IWS recommendations is substantially

different from other sub-sample results. We find that the publication cumulative average

abnormal return for IWS recommendations is 4.61% (Table 2, Panel C) which is more than

three times greater than the average market reaction for the full-sample. Table 2, Panels

D–F report that the market reaction to recommendations published in Business Week’s
other columns, Forbes and Fortune magazines are 0.3%, 0.55%, and 0.65%, respectively.

Although average market reactions to non-IWS recommendations are also statistically

significant they are considerably weaker than the reaction to IWS recommendations. In

untabulated analysis we test and find the difference in market reactions between IWS and

Business Week, Forbes and Fortune to be statistically significant.

As in the full-sample results, IWS recommendations are also followed by a price

reversal. The cumulative average abnormal return for the post-publication event window

(?2, ?20) is -3.45% which is statistically significant. Interestingly a similar nega-

tive return behavior follows Business Week’s columns other than IWS. However we do not

find a statistically significant price reversal for Forbes and Fortune magazines’

recommendations.

Further, the trading volume reaction to IWS recommendations is strongest within our

entire sample including analyst upgrades. Figure 2 illustrates the trading volume reaction

for recommendations published in the IWS column, Business Week, Forbes and Fortune
magazines and financial analysts’ upgrades. The mean abnormal relative volume for IWS
recommendations on publication day is approximately 160% whereas analyst upgrades’

mean abnormal relative volume is 90%. Most strikingly, the mean trading volume reaction

to IWS recommendations is *20 times greater than the mean volume reaction to rec-

ommendations published in Business week, Forbes and Fortune.

In addition to the striking abnormal return and trading volume behavior associated with

recommendations published in the Inside Wall Street column we identify a long history of

scandals linked to the IWS column dating back to 1988. Table 3 provides a sample of news

reports related to the Inside Wall Street column. The incidences linked to the IWS column

show investors’ strong ambition to obtain access to IWS columns prior to publication and

act on the recommendations therein. Investors’ effort to act based on IWS recommenda-

tions partly explains the abnormal return and trading volume behavior we observe in

Figs. 1 and 2; Table 2.

However, the underlying reason why IWS attracts strong investor interest while other

columns receive little interest from investors remains unclear. In search of an explanation

Table 2 continued

(-20, -2) (-5, -2) (-1, ?1) (?2, ?5) (?2, ?20)

t-statistics -0.634 -0.477 2.325* 0.496 -0.832

Generalized sign test 1.001 1.738 2.804** 1.410 -0.229

N 596 596 596 596 596

The symbols, *, **, *** indicate significance at five-percent, one-percent and one-tenth-percent significance
levels, respectively
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as to why IWS recommendations are associated with a different return and trading volume

behavior we examine whether differences in recommended firms’ financial characteristics

or recommendations’ content, style, and timing play a role.

The empirical analysis of recommended firms’ financial characteristics—reported in

Table 4—reveals that firms recommended in the Inside Wall Street column are smaller

than firms recommended in other columns. Table 4, Panel A reports that the average firm

recommended by IWS has a market value of $9.6 billion, whereas the average firm rec-

ommended by Business Week’s other columns, Forbes and Fortune columns have market

values of $29, $24.1 and $33.8 billion, respectively. Investors receive information about

large firms through various channels (e.g., analysts, media) whereas the number of sources

for investors to acquire information on small firms is limited. The scarcity of information

for small firms may put forward columnist recommendations for small firms and play a role

in the strikingly different return behavior that IWS recommendations are associated with.

On the other hand, firms recommended in IWS are similar to firms recommended in other

columns in terms of turnover, leverage, current, price-to-book, price-to-earnings and price-

to-cash-flow ratios.

Another difference between IWS and other sources may be the way recommendations

are written in the IWS column. To examine potential differences in recommendations we

explore the content and style of IWS recommendations in comparison to other columnist

recommendations. In this analysis we examine various aspects of recommendations’ style

and content. For each columnist (or magazine) we compute the ratio of recommendations

that:
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recommendation-publication-day. Abnormal relative volume is calculated each day for: (1) the Inside Wall
Street (IWS) column, (2) Business Week excluding IWS, (3) Forbes, (4) Fortune, (5) all columnists
(BW, Forbes and Fortune), and (6) financial analysts’ upgrades
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Table 3 ‘‘Inside Wall Street’’ column related news that appeared in the press during 1988–2005
Each row lists a separate news item where the first column is the date of the news; the second column
indicates the source and the last column reports a representative part of the news from its full text. All news
items were obtained from the Factiva database

Date Source News

November 23rd, 2005 Dow Jones
Newswires

A former postal worker agreed to pay more than
$580,000 to settle SEC charges that he made
about $154,000 in illicit profits by trading on
information from Business Week before it was
delivered to subscribers.

June 4th, 2004 Reuters News A stock broker accused of trading improperly on
advance tips about the contents of a Business
Week magazine column has been barred from the
brokerage industry

November 19th, 2003 The Capital Times &
Wisconsin State
Journal

Four former Jefferson County factory workers were
sentenced tuesday in U.S. District Court in
Brooklyn, N.Y., for trading on information they
learned by reading the ‘‘Inside Wall Street’’
column in Business Week magazine printed at the
Perry Judd’s plant before the magazine was
available to the public.

October 17th, 2002 SEC News Digest Two Long Island brokers settled SEC charges that
they paid cash to another broker in exchange for
nonpublic, advance copies of the magazine that
were obtained from a foreman at a magazine
distribution facility in New Jersey.

July 21st, 2001 Deseret News The insider trading conviction of a former
Prudential Securities Inc. broker who was tipped
off in advance about companies mentioned in
Business Week’s ‘‘Inside Wall Street’’ column
has been upheld by a federal appeals court.

February 8th, 1999 Business Week The heavy trading Business Week observed in the
magazine’s ‘‘Inside Wall Street’’ column has
resulted in criminal charges against four
stockbrokers. The Feds allege that the brokers
bought more than $6 million in stock mentioned
in Inside Wall Street on days before publication
by getting copies of the column faxed from
Hudson News, which distributes the magazine.

26 January 1996 The Dallas Morning
News

Business Week has alerted regulators to a possible
case of insider trading after noticing a pattern of
unusual activity in stocks mentioned in its ‘‘Inside
Wall Street’’ column. The magazine disclosed the
possibility that someone may be getting an early
look at its pages.

June 6th, 1991 The Associated Press Two California men have settled charges that they
traded on inside information obtained from
advance copies of Business Week magazine, the
Securities and Exchange Commission said
thursday.

April 15th, 1991 The Associated Press A businessman who pleaded guilty to buying stocks
he knew would be mentioned in a Business Week
column was sentenced Monday to three years
probation and ordered to pay a $25,000 fine.
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• are direct (implying that the author relies directly and solely on his analysis),

• have references to financial analysts,

• have references to investors,

• have references to management officials,

• contain merger and acquisition related rumors,

• contain information about new product releases.

We find a substantial difference between IWS and non-IWS recommendations in terms

of content and style. First of all, none of IWS recommendations are direct recommenda-

tions. Columnists publishing in IWS appear to avoid relying solely on their own analysis.

They prefer supporting their recommendations with references to investors, analysts and

management more often than other columnists. Table 4, Panel B reports that 58.8% of all

IWS recommendations make references to financial analysts whereas Business Week’s
other columns, Forbes and Fortune columnists refer to analysts in the range of 6.3%–

42.86%. Similarly, IWS columnists in 44.1% and 6.9% of their recommendations make

references to investors and management. Both percentages are highest among a large

Table 3 continued

Date Source News

November 9th, 1990 The Wall Street
Journal

A businessman from Wethersfield Conn., and a
lawyer from Old Saybrook, Conn., was indicted
by a federal grand jury in New Haven on charges
of conspiracy, securities fraud, and mail fraud.
They are accused of misappropriating
information from Business Week’s ‘‘Inside Wall
Street’’ column prior to publication.

May 17th, 1990 The New York Times The Government said that Mr. Jackson reviewed a
freshly printed copy of Business Week each
Wednesday night, then phoned Mr. Callahan the
next morning to buy stocks recommended in the
magazine’s ‘‘Inside Wall Street’’ column.

December 1st, 1989 Houston Chronicle The Business Week insider trading scandal
resurfaced Thursday with civil charges brought
against a typesetting supervisor who based stock
trades on information contained in advance
copies of the magazine.

July 12th, 1989 The Washington Post A former Merrill Lynch stockbroker, his mother and
three others were accused today by the Securities
and Exchange Commission of purloining stock
tips from advance copies of Business Week
magazine in a $3.46 million insider trading case.

December 9th, 1988 The Washington Post Business Week’s former broadcast editor, Seymour
G. ‘‘Rudy’’ Ruderman, pleaded guilty today to
mail fraud in an insider trading scheme, admitting
that he illegally used advance material from the
magazine to buy and sell securities.

August 2nd, 1988 The Globe and Mail In addition, three more investment firms
acknowledged that they are investigating trading
activity involving the columns prior to their
publication. That raised the number of firms
involved to at least seven and increased the
likelihood that the scandal is far more widespread
than earlier believed.
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Table 4 Descriptive statistics
This table provides descriptive statistics on recommended firms’ financial characteristics (Panel A), rec-
ommendations’ style and content (Panel B), and recommendations’ timing (Panel C). Panel A reports market
value (in millions), turnover, leverage, current, price-to-book, price-to-earnings and price-to-cash flow ratio
averages for recommended firms (first line), industry averages (second line) and the p-values of the mean
difference test (third line) between firm and industry averages. All variables in Panel A are winsorized at the
top and bottom one percentile. Panel B reports the ratio of recommendations that are direct, the percentages
of recommendations that have references to financial analysts, investors, management officials and the
percentage of recommendations that contain merger & acquisition rumor and product news. Panel C reports
the percentage of confounding announcements by source, analyst following and analysts’ consensus rec-
ommendation rating

Panel A: Financial characteristics

Source Market
value

Turnover
ratio

Leverage
ratio

Current
ratio

Price to
book
ratio

Price to
earning
ratio

Price to
cash
flow
ratio

Obs.

Inside Wall Street 9,615.2 2.21 1.79 3.09 7.33 13.13 24.62 551

Industry avg. 2,350.5 1.68 2.37 3.33 3.47 8.50 -1.20

p-value 0.00 0.00 0.02 0.14 0.00 0.28 0.00

BW (exc. IWS) 28,993.2 2.33 3.23 2.45 6.57 10.22 26.01 565

Industry avg. 2,745.9 1.71 2.64 3.27 3.76 13.04 1.44

p-value 0.00 0.00 0.07 0.00 0.00 0.71 0.00

Forbes 24,105.7 1.78 4.26 1.97 3.68 15.40 15.69 791

Industry avg. 2,594.4 1.42 3.05 2.97 3.92 13.03 3.52

p-value 0.00 0.00 0.00 0.00 0.49 0.16 0.00

Fortune 33,824.9 2.58 2.66 2.80 12.13 33.66 45.24 596

Industry avg. 2,970.9 1.79 7.50 3.53 4.07 12.13 7.22

p-value 0.00 0.00 0.01 0.00 0.00 0.06 0.00

Panel B: Recommendation style and content by source

Source Direct Refers to Merger &
acquisition

Product
news

Obs.

Rec. Analyst Investor Mgmt.

Inside Wall Street 0.0% 58.8% 44.1% 6.9% 27.2% 25.2% 551

Business Week (exc. IWS) 8.3% 42.8% 43.0% 0.7% 1.8% 5.0% 565

Forbes 91.7% 6.3% 2.1% 0.0% 1.0% 0.1% 791

Fortune 44.7% 36.3% 17.6% 0.5% 2.5% 4.4% 596

Panel C: Confounding announcements and analyst output by source

Source Other
columnist
recom.

Earnings
annc.

Analyst
earnings
forecast

Analyst
recom.

Analyst
consensus
recom. rating

Analyst
following

Obs.

Inside Wall Street 5.0% 6.4% 18.5% 14.9% 2.05 4.15 551

Business Week (exc. IWS) 1.2% 2.5% 29.9% 19.1% 2.16 7.57 565

Forbes 0.8% 5.8% 29.8% 19.5% 2.23 6.11 791

Fortune 2.0% 8.4% 35.1% 22.7% 2.02 7.62 596
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sample of columnists. Finally, Table 4, Panel B reports that IWS columnists in 27.2% and

25.2% of their recommendations supplement their recommendations with merger &

acquisition rumors and product news. Again both of these ratios are the highest in our

sample. The contextual differences between IWS and non-IWS recommendations highlight

the story that columnists transmit as a potentially important factor influencing markets’

response to recommendations.

In addition to recommendations’ content and style, we examine recommendations

timing with respect to confounding announcements. We define an announcement as con-

founding, if it occurs 7 days prior to the columnist’s recommendation. As potential

confounding announcements, we consider other columnists recommendations, earnings

announcements, analysts’ earning forecasts and analysts’ recommendation revisions.

Table 4, Panel C reports the percentage of recommendations with confounding

announcements. The results indicate that IWS recommendations coincide with smaller

number of confounding announcements. With the exception of earnings announcements,

IWS recommendations rarely fall close to other columnists’ recommendations, analysts’

earnings forecasts and recommendations. Further, the average firm recommended by IWS
has the lowest analyst following.

In summary, the univariate analysis reveals a market reaction to columnist recom-

mendations which is both statistically and economically significant. However, we find that

the magnitude of the market reaction to columnist recommendations is not uniform across

various columns within our full-sample. The sub-sample analysis reveals that IWS rec-

ommendations which received the greatest prior academic interest drive our full-sample

results. When we exclude IWS recommendations we find that the market reaction to

columnist recommendations is muted in magnitude but remains statistically significant.

This suggests that prior evidence on particular columnist recommendations cannot be

generalized to all columnist recommendations and that the average columnist recom-

mendation has a relatively small impact on prices compared to analysts.

4.2 Regression analysis of publication returns

The regression analysis confirms that recommendations published in the Inside Wall Street

column trigger significantly greater publication returns than other columns. Table 5 model

I reports the estimation results of the regression of publication returns on the IWS indicator

variable and liquidity, information asymmetry, size and industry control factors.9 In model

I the IWS coefficient, estimated to be 0.024 (significant at the 1% level), indicates that

recommendations published in IWS yield an average market reaction that is 2.4% higher

than non-IWS recommendations. This is consistent with the univariate results and suggests

that the market reaction to IWS recommendations is different from other columnist rec-

ommendations. In model I, the SPREAD coefficient is positive and SIZE is negative,

consistent with small and illiquid firms being associated with stronger market reactions on

publication of recommendations. However we do not find a significant relation between

information asymmetry (FOR_STD and RND) and publication returns. This may be

because the SIZE variable subsumes most of the information asymmetry effect. Finally, the

OLS results do not suggest that information leakage significantly affects publication

returns of recommendations.

9 We checked for multicolinearity by examining variance inflation factors and found no evidence in support of
the presence of serious multicolinearity in any of the models. The mean & maximum variance inflation factors
were 1.07 & 1.19 (model I), 1.65 & 3.55 (model II), 1.61 & 3.59 (model III) and 1.58 & 3.59 (model IV).
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Table 5 Regression analysis of publication returns
This table reports the ordinary least squares (OLS) estimation results of the regression:
CARð�1;þ1Þ ¼ aþ b1IWSi þ b2SPREADi þ b3CARð�10;�2Þi þ b4FOR STDi þ b5RNDi þ b6SIZEi

þb7DIRECTi þ b8REF ANLYSTi þ b9REF MGMTi þ b10MERGER NEWSi

þb11PRODUCT NEWSi þ b12CNFDGþ
P49

k¼1 bkINDþ ei:All continuous independent
variables are winsorized at the top and bottom one percentile. t-statistics, based on Huber–White standard errors
clustered by firm, are reported in parentheses below the coefficients

Model
I

Model
II

Model
III

Model
IV

IWS 0.024*** 0.022*** 0.019*** 0.019***

(5.94) (4.74) (3.45) (3.49)

SPREAD 0.274** 0.283** 0.278** 0.279**

(2.20) (2.25) (2.22) (2.22)

CAR(-10, -2) -0.017 -0.018 -0.022 -0.022

(-0.65) (-0.68) (-0.85) (-0.86)

FOR_STD -0.006 -0.006 -0.006 -0.006

(-0.76) (-0.71) (-0.74) (-0.74)

RND -0.001 -0.001 -0.001 -0.001

(-0.39) (-0.40) (-0.25) (-0.25)

SIZE -0.002** -0.002** -0.002** -0.001*

(-2.34) (-2.34) (-2.23) (-1.69)

DIRECT -0.003 -0.001 -0.001

(-0.57) (-0.21) (-0.16)

REF_ANLYST -0.002 -0.000 -0.000

(-0.41) (-0.05) (-0.04)

REF_INV 0.000 0.002 0.002

(0.03) (0.32) (0.32)

REF_MGMT 0.030* 0.031* 0.031*

(1.65) (1.66) (1.65)

MERGER_NEWS 0.021*** 0.021***

(3.03) (3.06)

PRODUCT_NEWS -0.011 -0.011

(-1.38) (-1.39)

CNFDG -0.005

(-1.58)

Constant 0.030** 0.032** 0.029** 0.025*

(2.29) (2.31) (2.09) (1.82)

Fama and French 49
Industry fixed effects

Yes Yes Yes Yes

F-value 8.954*** 5.948*** 6.632*** 6.150***

R2 5.6% 5.9% 6.5% 6.6%

Adjusted R2 3.3% 3.5% 4.0% 4.1%

Obs. 2,291 2,291 2,291 2,291

* Indicates significance at the 10% significance level, ** indicates significance at the 5% significance level
and *** indicates significance at the 1% significance level. The final four rows report F-value, R-square,
adjusted R-square and number of observations
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In model II, we include four indicator variables (DIRECT, REF_ANLYST, REF_INV,

and REF_MGMT) to capture recommendations’ qualitative aspects. With the exception of

REF_MGMT, none of the estimated coefficients are statistically significant. The

REF_MGMT coefficient is estimated to be 0.03 which indicates that recommendations that

refer to communications with management officials trigger a market reaction that is on

average 3% higher than recommendations that do not contain references to management.

Finally, the IWS coefficient in model II, 0.022, is both statistically and economically

significant. The significantly positive IWS coefficient is consistent with IWS recommen-

dations being associated with a stronger average market reaction controlling also for

recommendation content and style.

Estimation results of model III, which additionally include MERGER_NEWS and

PRODUCT_NEWS, show that recommendations containing merger & acquisition rumor

are associated with a stronger market reaction whereas the presence of product news does

not appear to significantly influence market reaction. Table 5, Model III reports MER-

GER_NEWS’s estimated coefficient to be 0.021 which is statistically significant and

suggests that recommendation containing M & A rumor generate 2.1% higher abnormal

returns than other recommendations. However, the PRODUCT_NEWS is estimated to

have an insignificant coefficient consistent with markets not reacting differently to rec-

ommendations containing product news. Finally, the IWS coefficient in model III is

estimated to be 0.019 which is statistically significant.

In model IV we examine whether recommendations timing matters by including the

indicator variable, CNFDG, which takes a value of one for recommendations that follow an

earnings announcement, analysts forecast, recommendation or other columnist recom-

mendation within a 7-day period. We find weak evidence in support of columnist

recommendations close to other confounding events having a lower market reaction.

However, the IWS coefficient remains robust to the inclusion of CNFDG.

The regression analysis suggests that IWS recommendations, controlling for liquidity,

information asymmetry, size, and recommendations’ contextual, stylistic and timing

characteristics, trigger an average market reaction that is between 1.9% and 2.4% higher

than other columns’ recommendations. The difference between IWS and non-IWS rec-

ommendations is both economically and statistically significant. These results are

consistent with IWS recommendations being distinct from other columnists’ recommen-

dations. Hence, prior studies’ results on particular columns are not descriptive of the return

behavior surrounding columnist recommendations in general. Finally, we find evidence in

support of recommendations with references to management officials or merger &

acquisition rumors having 3.1% and 2.1% higher average market reactions.

4.3 Long-term performance analysis of columnist recommendations

The calendar-time portfolio regression results show that a long-term investor (with a 1-year

holding period) following columnist recommendations during the years 2000–2003 would

not have achieved abnormal returns after controlling for market risk, book-to-market, size

and momentum effects. Table 6, Panel A reveals that investors acting based on columnist

recommendations published in Business Week, Forbes and Fortune magazines with a

1-day trading delay would have incurred a monthly average loss of 0.31%. Similarly, long-

term investors following analyst upgrades with a 1-day trading delay would have incurred

a monthly average loss of 0.15%. Finally, portfolios formed according to recommendations

in any of the sub-samples, IWS, Business Week excluding IWS, Forbes or Fortune do not

provide significantly positive abnormal returns.
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Table 6 Long term performance of recommendations
This table reports average monthly abnormal return and factor sensitivities of portfolios formed according to
(1) all columnist recommendations, (2) financial analysts’ upgrades, (3) Inside Wall Street recommendations,
(4) Business Week excluding IWS recommendations, (5) Forbes recommendations and (6) Fortune rec-
ommendations. Panel A reports results for portfolios formed with a one-day trading delay and Panel B
reports results for portfolios formed without a trading delay

Sample Intercept Beta SMB HML UMD Adjusted
R-Square

Panel A: One-day trading delay

All columnist recommendations -0.313 0.998 -0.168 -0.331 -0.062 81.9%

t-ratio (-0.79) (10.96) (-1.79) (-3.03) (-1.12)

t-ratio (Robust) (-0.71) (9.2) (-1.27) (-2.72) (-0.69)

Financial analysts’ upgrades -0.151 1.018 -0.059 -0.133 -0.096 96.6%

t-ratio (-0.98) (28.54) (-1.63) (-3.12) (-4.3)

t-ratio (Robust) (-1.26) (33.1) (-2.22) (-3.29) (-6.46)

Inside Wall Street -0.113 0.902 -0.003 -0.416 -0.110 70.4%

t-ratio (-0.2) (7) (-0.02) (-2.69) (-1.41)

t-ratio (Robust) (-0.2) (6.63) (-0.02) (-2.83) (-0.97)

Business Week excluding IWS 0.181 0.946 0.224 -0.595 0.044 80.8%

t-ratio (0.37) (8.25) (1.93) (-4.33) (0.61)

t-ratio (Robust) (0.46) (9.98) (1.56) (-3.98) (0.49)

Forbes -0.020 0.975 -0.236 -0.067 -0.122 87.2%

t-ratio (-0.07) (14.6) (-3.45) (-0.84) (-3.01)

t-ratio (Robust) (-0.07) (12.73) (-2.87) (-0.94) (-2.58)

Fortune -0.379 1.108 -0.194 -0.593 0.074 70.6%

t-ratio (-0.6) (7.59) (-1.3) (-3.39) (0.84)

t-ratio (Robust) (-0.55) (6.29) (-0.91) (-2.97) (0.56)

Panel B: No trading delay

All columnist recommendations -0.294 0.957 -0.136 -0.316 -0.086 79.6%

t-ratio (-0.71) (10) (-1.39) (-2.76) (-1.48)

t-ratio (Robust) (-0.61) (8.25) (-1) (-2.33) (-0.85)

Financial analysts’ upgrades 1.204 0.648 0.213 -0.250 -0.180 17.4%

t-ratio (0.88) (2.05) (0.66) (-0.66) (-0.91)

t-ratio (Robust) (1.08) (1.69) (0.78) (-1.9) (-1.44)

Inside Wall Street 0.015 0.916 0.018 -0.421 -0.086 68.4%

t-ratio (0.02) (6.72) (0.13) (-2.58) (-1.05)

t-ratio (Robust) (0.03) (6.33) (0.08) (-2.76) (-0.73)

Business Week excluding IWS 0.213 0.954 0.221 -0.595 0.049 82.2%

t-ratio (0.45) (8.69) (1.98) (-4.52) (0.71)

t-ratio (Robust) (0.57) (10.77) (1.56) (-4.01) (0.57)

Forbes 0.012 0.968 -0.227 -0.057 -0.128 88.0%

t-ratio (0.04) (15.08) (-3.46) (-0.74) (-3.3)

t-ratio (Robust) (0.04) (13.12) (-2.81) (-0.83) (-2.76)

Fortune -0.501 1.104 -0.180 -0.573 0.059 66.9%

t-ratio (-0.73) (6.99) (-1.11) (-3.03) (0.61)

t-ratio (Robust) (-0.68) (5.83) (-0.82) (-2.71) (0.4)
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The long-term performance results are insensitive to trading delay. Even a long-term

investors acting on the day of columnist recommendations would not have achieved

abnormal returns controlling for beta, size, book-to-market and momentum factor sensi-

tivities. Results reported in Table 6, Panel B are based on the assumption that investors are

able to capture publication day returns of recommendations. According to Table 6, Panel

B, the monthly average abnormal return associated with investing in columnist recom-

mendations is -0.29% The sub-sample analysis shows that IWS, Business Week excluding

IWS, Forbes and Fortune recommendations accrue a monthly average abnormal return of

0.02%, 0.21%, 0.01% and -0.5%. However, investors able to invest in analyst upgrades on

announcement day would have achieved a monthly average abnormal return of 1.2% based

on recommendations made during 2000–2003.

Finally, we test for differences in long-term abnormal returns of direct and indirect

stock recommendations. Direct recommendations represent stocks endorsed explicitly by

columnists based on their own opinion or analysis. On the other hand, indirect recom-

mendations generally represent endorsement by the columnists to the recommendations of

others (e.g., analysts).

Columnists’ choice of relying solely on analyst recommendations as opposed to their

own research suggests the use of a different source of information. Indirect recommen-

dations can be interpreted as more reliant on the efforts of analysts rather than columnists.

Analysts and columnists differ in many aspects, and this has the potential to influence the

abnormal returns that follow indirect and direct recommendations asymmetrically. Col-

umnists are employed by business magazines, whereas analysts work for investment firms

and brokerage houses. This gives columnists more room for independence which is doc-

umented by Barber et al. (2007) to be associated with higher performance. Columnists’

greater independence provides them an environment in which they can make unbiased

recommendations. Further, columnists and analysts have different incentives. Hong and

Kubik (2003) discuss analysts’ career concerns and find that analysts reap higher rewards

when they make more optimistic recommendations. The absence of such conflicting

incentives for columnists may permit them to make less biased and superior recommen-

dations. On the other hand, the performance of columnists is evaluated less frequently. This

can reduce columnists’ incentives for in-depth research and analysis. Finally, columnists’

access to supportive resources (e.g., data, information, research) is often more limited.

Panel A of Table 7 reports summary statistics of directly and indirectly recommended

firms’ size, previous-year-return, turnover ratio and average short-term returns preceding

recommendations. The results suggest that columnists’ direct recommendations are mainly

composed of larger stocks with lower preceding returns and turnover ratios. Further, stocks

that are recommended directly have lower abnormal returns in the period preceding the

recommendation. The higher average abnormal return that precedes indirect recommen-

dations is consistent with greater information leakage taking place prior to indirect

recommendations. Indirect recommendations are more likely to involve prior dissemina-

tion to the public. Hence, positive prior returns may be due to the release of information in

the pre-recommendation period. Panel B of Table 7 reports that the market risk and size

factor sensitivity of direct recommendations are significantly lower than those of indirect

recommendations. These results combined, suggest that columnists—when making direct

recommendations—avoid stocks that are risky, small and that have recently increased in

value.

Separate portfolios constructed according to indirect and direct recommendations do not

significantly outperform the market controlling for market risk, size, book-to-market and

momentum effects. Table 8, Panel A reports the percentage monthly abnormal returns of
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portfolios formed with a 1-day trading delay. The results suggest that neither indirect nor

direct recommendations have significant long-term value to investors. These results are

robust to forming portfolios without any trading delay. Table 8, Panel B reports estimation

results for portfolios constructed without a trading delay. As in Panel A neither portfolio is

associated with significant abnormal returns. These results suggest that both direct and

indirect recommendations fail to outperform the market controlling for market risk, size,

book-to-market and momentum effects.

5 Conclusion

This paper investigates the abnormal return and trading volume behavior surrounding

columnists’ stock recommendations. For a subset of our sample, limited to recommen-

dations published in the Inside Wall Street (IWS) column, we document results similar to

prior studies’ findings. However the return behavior associated with IWS is not pervasive

within our full sample which includes columnists’ recommendations from several leading

business magazines. These results indicate that prior studies’ findings are not representa-

tive of the columnist community in general.

Further, our regression analysis of publication returns suggests that recommendations

that make references to management officials, or contain merger and acquisition news

Table 7 Characteristics of direct and indirect recommendations
This table provides descriptive statistics by recommendation type: direct and indirect. The first column in
both panels A and B indicate the recommendation type. The following columns in panel A report the market
value calculated using CRSP data (in millions), previous year’s raw return and previous year’s turnover ratio
calculated as the sum of trading volume divided by the average shares outstanding. The remaining columns
in panel A report the short term CAARs (-40, -2), (-20, -2), (-10, -2) and (-5, -2) of the two
recommendation types. Panel B reports the mean parameters of the four-factor model estimated separately
for each firm using previous year’s daily return data. For ease of interpretation the alphas are annualized.
Finally the last two columns report the mean analyst following and the consensus recommendation rating.
The third rows in both panels report p-values of mean difference test statistics between direct and indirect
recommendations

Panel A: Market value, liqudity and abnormal returns by recommendation type

Recommendation
type

Market
value

Previous
year’s
return

Previous
year’s
turnover
ratio

CAAR
(-40, -2)

CAAR
(-20, -2)

CAAR
(-10, -2)

CAAR
(-5, -2)

Obs.

Indirect 23,306.1 46.2% 2.4 0.69% 0.92% 0.77% 0.48% 1,456

Direct 27,171.1 18.2% 2.2 -1.74% -1.29% -0.27% 0.23% 1,047

p-value 0.10 0.00 0.17 0.01 0.00 0.01 0.36

Panel B: Risk parameters and analyst data by recommendation type

Recommendation
type

Alpha Beta SMB HML UMD Analyst
following

Rec.
rating
consensus

Obs.

Indirect 27.8% 1.103 0.442 0.174 -0.077 6.21 2.07 1,456

Direct 15.3% 1.032 0.231 0.174 -0.061 6.48 2.20 1,047

p-value 0.00 0.00 0.00 1.00 0.51 0.21 0.00
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trigger a larger market reaction. Consistent with the prior literature, we find that recom-

mendations targeting illiquid and small firms coincide with a stronger market reaction.

Finally, we find that long-term investors following recommendations published in

Business Week, Forbes and Fortune magazines during the period 2000–2003 would not

have been able to consistently earn abnormal returns controlling for market risk, size,

book-to-market and momentum effects.

The short- and long- term return behavior surrounding columnist recommendations can

also be examined using alternative methodologies. We relied on the use of a particular set

of methods that make strict assumptions about investors’ risk preferences, risk identifi-

cation, and reference market portfolio. Future research relaxing these assumptions through

the use of stochastic dominance approach or alternative methodologies can provide further

insights about the market reaction to recommendations and the long-term value of col-

umnists’ advice.
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