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Abstract The broad goals of child support policy are to keep children in single-

parent families out of poverty and to make sure that their material needs are met.

One potentially important, but relatively understudied, set of measures of child well-

being are health outcomes. A fixed-effects analysis of data from the Child and

Young Adult file of the 1979 National Longitudinal Survey of Youth shows that,

conditional upon receipt of some amount of child support, higher payment levels are

associated with significantly greater odds of having private health insurance cov-

erage and significantly lower odds of poor or declining health status. These effects

persist even after controlling for other factors that are likely to be correlated with

child support payments, including total family income and paternal visitation

patterns.
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JEL Classification I12 � J12 � H31

1 Introduction

The growing fraction of children living in single-parent families constitutes one of

the most dramatic demographic transformations of the American population in the

last three decades. While in 1968 only 12 % of children in the United States lived

with only one of their parents, by 2008 this fraction had more than doubled to 26 %
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(U.S. Census Bureau 2009). An increase in the divorce rate from 2.6 % in 1967

(NVSS 1973) to 4.7 % in the early 1990s (NCHS 1995) and a nearly sevenfold

increase in the fraction of births to unmarried women between 1960 and 2007

(Ventura 2009) both contributed to this trend.

The goal of the child support system in the United States is to ensure an adequate

standard of living for the children of these divorced and never-married parents.

While it is left to the states to set the level of cash awards, federal law mandates that

all state guidelines must account for the health care needs of children. The specific

concern over health outcomes is likely a reaction to the fraction of U.S. children

who remained uninsured after expansions in public health insurance programs in the

1990s, as well as rising health care costs. Additionally, a number of studies

document a strong, positive correlation between health in childhood and adult

outcomes such as educational attainment and labor market earnings (Currie 2009;

Smith 2009; Case et al. 2006).

There are several ways in which receipt of child support might lead to health

improvements for children. First, a number of studies document the positive

relationship between family income and child health (Yeung et al. 2002; Case et al.

2002; Case and Paxson 2002). One explanation for this comes from an economic

investment model, in which parents invest both time and money in children, and

money is used to purchase health and other human capital inputs (Becker 1991). In

this framework, a positive effect of income on child health would be the result of

some combination of higher quantity or quality of medical care, healthier food,

better living conditions, or toys and activities that promote physical activity. The

family process model provides an alternative explanation for the positive correlation

between income and child health; in this model higher income and less uncertainty

about future income are correlated with better parenting practices (Yeung et al.

2002; Case and Paxson 2002). For example, Case and Paxson (2002) find that

higher-income parents are less likely to smoke and more likely to put their children

in seat belts. Second, there is often a positive relationship between a non-custodial

father’s child support payments and time spent with his children (DelBoca and

Ribero 2001; Peters et al. 2004). Increased paternal contact may itself improve child

health, either directly through time-based investments made by the father or through

inclusion of the child on his or her father’s employer-sponsored health insurance

plan.

The goal of this study is to determine the extent to which child support is

associated with improvements in child health outcomes. Improvements might come

about through increased access to private health insurance, increased affordability

of medical care (due to either health insurance coverage or higher income) or the

direct effect of higher income. In order to get a sense of the mechanisms for health

effects, I estimate the impact of child support on a set of dependent variables,

including measures of health status itself (parent-reported health status index, body

weight, need for medication) and potential inputs into the production of health

(insurance coverage, utilization of routine medical care).

The data used in this analysis are for the subsample of children who are not

living with their biological fathers for at least 2 years from the Child and Young

Adult (CYA) supplement to the 1979 National Longitudinal Survey of Youth
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(NLSY). The CYA file contains panel data on all children born to women in the

NLSY79 and for this analysis it is matched to data on the mothers in the core file for

even-numbered years between 1990 and 2004.1 Cross-sectional estimates using

these data show that receipt of any child support is associated with significantly

higher odds that a child has private health insurance coverage and significantly

lower odds of being uninsured. Conditional upon receiving any child support,

greater amounts of support are associated with higher odds of private health

insurance coverage, lower odds of uninsurance, and lower odds of being in fair/poor

health, even after controlling directly for total family income from all sources

including child support. As discussed in Sect. 2, the persistence of a child support

effect even after controlling for total family income is not an uncommon finding in

the child support outcomes literature.

My estimates a set of maternal fixed effects models indicate that differences in

health insurance coverage patterns and health status between children whose

mothers do and do not receive any child support is explained by maternal

heterogeneity. However, the effects of conditional amount of support on private

health insurance coverage and health status are robust to the fixed effects

specification. Results from further specifications suggest that one possible

explanation for the positive relationship between amount of child support payments

and private health insurance coverage that persists even after controlling for total

family income is reduced participation in public assistance programs.

2 Income and other effects of child support

With the aim of reducing high poverty rates of children in single-parent families, the

1988 Family Support Act (FSA) mandated that states develop and use quantitative

guidelines for establishing all child support awards. The FSA also created financial

incentives for states to improve paternity establishment rates (Lerman 1993). The

majority ofUS states use an ‘‘IncomeShares’’ child support guidelinesmodel (Morgan

2008), a model which is designed to produce a total contribution between the parents

that is approximately equal to what would have been spent on the child if the family

had been intact. Therefore, the primary goal of child support is to increase the income

available for spending on the necessities of raising children, including items such as

housing, clothing, food, child care, health care and education. Meyer and Hu (1999)

show that child support raises family income significantly. In a sample of divorced and

separated mothers in the 1996 March CPS, they find that 6–7 % of families in their

sample rise out of poverty, despite the fact that fewer than one-third of the mothers

entitled to support actually receive payments.

Receipt of child support payments also appears to significantly improve a number

of non-health child outcomes. Child support has been shown to improve both

academic achievement and child behavior in a number of studies (see Amato and

1 Data collected in 1991 and 1993 are not used because not all health and child support questions were

asked in these years. Data from years after 2004 are not used because of the non-representative nature of

the very small number of births (to mothers in their 40s with unusually high incomes) in those years.
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Gilbreth (1999) for a review). Several other studies find a positive impact of child

support payments on the cognitive development of young children as measured by

standardized test scores (Knox 1996; Argys et al. 1998). In one study that relates to

child health, Garasky and Stewart (2007) show that child support payments reduce

the frequency of skipped meals and other serious forms of food insecurity in single

parent families. What is, perhaps, surprising about these studies is that most of them

show that receipt of child support (or increased child support income) has a positive

effect on child outcomes that is above and beyond its effect on total family income.

Although the income effect of child support is economically intuitive, it is not

obvious why child support would be associated with better child outcomes even

after controlling for total family income. One possibility is that the effect is not

causal, but simply reflects characteristics of the children receiving support (or their

mothers) that we do not observe. Some authors have suggested that there are likely

to be unobserved family characteristics, such as fathers’ concern for children or

mothers’ organizational skills, that are correlated with both positive child outcomes

and the likelihood of a child support payment (Knox 1996; Argys et al. 1998). Aizer

and McLanahan (2006) argue that increased child support enforcement over time

changed the composition of the population paying and receiving child support by

altering the incentives facing potential fathers,2 leading them to choose mothers

who are more likely to invest in their children. In support of this hypothesis, they

show that higher child support enforcement is associated with lower fertility, a

slightly higher average mother age at first birth and higher rates of prenatal care.

However, although not all child support studies have accounted for unobserved

heterogeneity, at least two have used methods to account for this potential bias and

have still found significant effects on cognitive outcomes (Knox 1996; Argys et al.

1998). There are at least four other explanations in the literature for the effect of

child support that are not driven by selection or unobserved heterogeneity. First,

some have suggested that receipt of child support improves the relationship between

mother and father, and that this improves the home environment for the child.

Second, child support may reduce a single parent’s use of public assistance

programs, and the child may benefit from reduced stigma. In the case of health

insurance, the transition from public to private health insurance could also improve

access to and/or quality of medical care. Third, although most traditional utility-

based economic models predict that the composition of family income should not

affect expenditure patterns, DelBoca and Flinn (1994) show that divorced mothers

spend a higher fraction of child support income on child-related items compared to

other income sources. This result aligns with the predictions of a theoretical model

in which child outcomes are a public good shared by the mother and the father.

Weiss and Willis (1985), also working with a public goods model, show that when

information is incomplete, there is an incentive for custodial parents to increase

expenditures on children as a signal to the non-custodial parent, in order to receive

maximum child support payments in the future. Finally, an issue that has been

2 Throughout the paper, in keeping with most of the literature, I refer to custodial parents or child support

recipients (legally, obligees) as mothers and non-resident parents or child support payers (legally,

obligors) as fathers. In 2005, 85 % of custodial parents were mothers and 90 % of child support recipients

were mothers (U.S. Census Bureau 2007).
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addressed in some, but not all, of these studies is the role of physical contact, or

visitation, between fathers and children. Most theoretical models predict a positive

association between time spent with the non-custodial parent and child support

payments (DelBoca and Flinn 1994; Weiss and Willis 1985; Argys and Peters

2003), although the direction of causality is not the same in all models.3 The early

literature on child support and outcomes showed a positive correlation between

paternal visits and child support payments, but this could be a causal effect of

payments on visitation (i.e., a mother restricts visitation when payments are not

made) or a causal effect of visitation on payments (i.e., a father is better able to

understand his child’s needs after visits) (Seltzer et al. 1999). After addressing this

issue, Peters et al. (2004) still find a strong association between payments and

visitation time; receiving any child support is associated with 27 more visitation

days per year.

In the case of health outcomes, visitation time may be an important determinant

of child health status because fathers in regular contact with their children are better

able to observe their childrens’ health needs. They may also be more likely to cover

their children as dependents on an employer-sponsored health insurance plan.

However, the causality of this relationship is not clear, since a child’s health status

itself may affect whether or not a father visits. At least one study suggests that new

fathers have less contact with infants in poor health (Reichman et al. 2003).

There are two existing studies in the literature that each explore a single

dimension of the relationship between child support and health. Hofferth and Pinzon

(2011) use data from the Early Childhood Longitudinal Survey (ECLS-K) to

estimate a dynamic model in which mother-reported health status of a 3rd grader is

a function of the child support received when that child was in kindergarten,

controlling for a rich set of demographic and family characteristics. They find that

neither child support nor paternal visitation is associated with significant changes in

health status, although they note that children who are healthier in kindergarten

receive higher levels of support in 3rd grade. Taber (2012) uses the Survey of

Income and Program Participation (SIPP) to analyze the relationship between child

health insurance coverage and state laws that mandate health insurance coverage as

part of a child support agreement. Her results do not show any significant effects of

mandates. This analysis expands upon these studies to consider a much broader

range of health outcomes, with a particular focus on trying to tease out mechanisms

for the relationship between child support and health.

3 Data

The primary data for the analysis are from the NLSY 1979 CYA file. The primary

adult respondents to the NSLY79 were first interviewed in 1979, when they ranged

3 For example, Weiss and Willis (1985) argue that more contact will lead to better monitoring of the

mother’s expenditures by the father, which will lead to more child support payments. On the other hand,

DelBoca and Ribero (2001) present in model in which the father essentially buys contact time from the

mother in a world with imperfectly enforceable child support and custody rules.
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in age from 14 to 21. Since then, they have been interviewed either every year

(1979–1994) or every other year (1994–2008) and information has been gathered

about family structure, employment, health and other outcomes. In the most recent

wave of data collection, the primary respondents are between 41 and 48 years old

and have completed almost all of their lifetime childbearing. In 1986, the NLSY

started to collect additional data on each of the children of the women in the

NLSY79 sample; these data constitute the CYA file. This analysis is based upon six

health-related outcome variables for children collected in the CYA survey; these

will be discussed in detail below. Matched data from the mother’s file includes

annual income by source (including child support payments as one of the sources),

education, current marital status, employment status and household structure.

For the purpose of studying child health outcomes, the NLSY79 CYA sample has

strengths and weaknesses. Among the strengths are the fact that this is the only

panel data set on children of its length to also provide detailed, matched information

on parental characteristics, including income sources, employment and marital

history. However, the panel nature of the data also results in several limitations for

this analysis. Because not all relevant questions were asked at all ages and in all

years, and because the sample loses its representativeness of the population in the

latest years, the baseline analysis will cover the years 1990–2004 for children ages

2–15. Given the ages of the primary respondents in the NLSY79, this means that the

sample of children in this analysis is not fully age representative of the U.S.

population. This is a common limitation in research with the NLSY79 CYA data;

earlier studies cited in Sect. 2 are generally representative of younger children born

to younger mothers. By 1990, the earliest-born children to the NLSY79 parents

(approximately 2.5 % of the sample at that time) had aged out of the age 0–14 child

questionnaire; this fraction rises to 66 % by 2004. The NLSY estimates that its

original respondents have completed more than 90 % of lifetime childbearing by

2004 (CHHR 2006).

A challenge in answering the research questions posed in this study is selecting

the appropriate sample for analysis because the factors that lead parents to separate

are not likely to be independent of the factors that drive child support after a

separation. For example, a father being unemployed could contribute to the

dissolution of a relationship and also make it less likely that child support would

eventually be paid. For this of reason, estimates the effects of child support from a

sample consisting only of children living with their mothers could suffer from

selection bias. In order to mitigate this problem, I select the sample used in this

analysis using an adaptation of the approach used by Knox (1996), who included

children in her panel analysis if their father had been absent from the household for

at least 1 year during the 3-interview panel period. Because the time span of my

analysis is significantly longer, my sample consists of children whose fathers were

reported as alive but not residing in the child’s household in two or more of the eight

interview years during the study period.4 Conditional upon a father being absent 2 or

more years out of the 8 in the study, the mean number of years absent is 5. In

4 Estimates for a smaller sample of only children whose fathers were absent in the current interview

period produce similar results.
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essence, what this sample selection technique does is to include pre-dissolution

observations for children whose fathers eventually leave the household. The

resulting sample is not fully selected on relationship status, but still focuses on a

group of children who are highly likely to be impacted by child support.

The sample is also restricted to families/children with complete data for core

parent and child questions, such as age, gender, family income and parental

education. Additionally, in order to keep the sample size as consistent as possible

across different types of outcomes, the sample contains only observations with non-

missing values for health insurance and utilization questions. Table 1 provides

unweighted age distributions for the child sample in 1990, 1994, 2000 and 2004.

The distribution of child age is relatively normal in 1990, with a modal age of 8.

Although new infants are being born in subsequent years their numbers are smaller

each year, so the average child age shifts upward with every year of the panel. The

modal child age is 12 years old in 1994 and by 2000 the majority of children in the

sample are 10 and older.

Tables 2 and 3 present descriptive characteristics for the estimation sample. Table 2

presents demographic characteristics of the children and mothers in the sample, as well

as information on family income. Across the full sample the mean child age is

8.79 years, and 8.14 % of children were Black while 25.4 % were Hispanic. The

majority of children live with a mother who is a high school graduate (76.57 %) and

unmarried (62.13 %). Overall, 76.57 % of mothers work. Mean family annual income

across the sample is $47,112 (in $2006) and 18.47 % of families receive AFDC/TANF

income, with 6.9 % receiving SSI and 26.26 % receiving Food Stamps.

Six different outcomes are used to measure the health effects of child support.

The first three—private health insurance coverage, no health insurance coverage

(uninsurance), and whether or not the child has had a regular, preventive care doctor

visit in the past 12 months—can be thought of as potential mechanisms for any

effects on health status. The American Academy of Pediatrics (2008) recommends

Table 1 Estimation sample size

by child age and year

Estimation sample of NLSY-

CYA participants meeting

sample selection criteria

discussed in Sect. 3 and without

missing data on any of the

dependent variables in the

baseline estimating equation

(Eq. 1). Unweighted counts

Age 1990 1994 2000 2004

2 132 90 20 0

3 126 121 17 1

4 149 126 24 10

5 213 152 22 9

6 195 144 33 28

7 175 141 47 31

8 215 174 69 33

9 178 211 89 28

10 178 183 104 60

11 118 203 109 65

12 98 215 93 91

13 76 186 106 106

14 70 100 60 52

Total 1,923 2,046 793 514
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well-child doctor visits at least once a year for children of all ages (and twice a year

or more for children under age 3). If routine doctor visits provide effective

preventive care, the doctor visit variable may also be an imperfect proxy for changes

in health status either over a longer-run time period than the CYA measures or from

conditions not picked up by the limited CYA health status questions.

Table 2 Child and family

characteristics

Means calculated using NLSY-

CYA sample weights. Estimation

sample of NLSY-CYA

participants meeting sample

selection criteria discussed in

Sect. 3 and without missing data

on any of the dependent variables

in Eq. 1

Sample mean

(standard deviation)

Age 8.7951

(3.3663)

Female 0.5066

(0.4999)

Black 0.0814

(0.2735)

Hispanic 0.2542

(0.4354)

Birthweight (ounces) 116.6589

(21.4381)

Children in HH 2.4544

(1.1805)

Adults in HH 1.6865

(0.7051)

Mom married 0.3787

(0.4850)

Mom separated 0.1267

(0.3327)

Mom divorced 0.3294

(0.4700)

Mom HS grad 0.7657

(0.4235)

Mom college grad 0.0924

(0.2896)

Mom works 0.7379

(0.4397)

Family income $47.112.02

(97.609.89)

Any AFDC/TANF income 0.1847

(0.3881)

Any SSI income 0.0691

(0.2536)

Any food stamps 0.2626

(0.4401)

N 11,295
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The other three outcomes are more direct measures of health status, chosen from

the relatively limited set of variables available from the CYA survey. The first is a

rating of the child’s health by the mother on a 4 point scale (excellent, good, fair,

poor). Consistent with the majority of papers in the literature on health status, I re-

code this into a single discrete indicator for fair or poor health, but note that

estimating models of the determinants of excellent health gives very similar

(inverse-signed) results. The second health status measure is whether or not a child

has a normal body weight (i.e., not overweight, obese or underweight) based upon

BMI measurements. Child height and weight are recorded at each interview, and

this allows me to calculate a Body Mass Index (BMI) and evaluate it relative to age

and gender.5 The final health outcome measure is a discrete indicator for whether

the mother reports that the child needs to take medication regularly. Any effects on

this measure need to be interpreted carefully. On one hand, lower likelihood of

medication use could be a sign of better health effects that come about from child

support income preventing adverse health outcomes by improving a child’s

environment or access to medical care. On the other hand, given that for some

conditions (e.g., Type I diabetes) medication may be necessary and desirable, higher

likelihood of medication use could be a sign that the child is getting more medical

care and that long run health will be better.

Table 3 summarizes the child health outcomes for the sample. Note response

rates for certain variables are not 100 %. On reason is that a health status question

was not asked until 1994. Additionally, not all respondents answered all questions.6

Variation in response rates to questions is reflected in total sample sizes for each

question about the dependent variables in Tables 5 and 6. Just over half of the

children in the sample (54.89 %) have private health insurance coverage, while

10.34 % are uninsured. The fraction of children with a routine doctor visit in the

past 12 months is 63.1 % overall. Table 3 also shows that certain poor health

outcomes are relatively rare in children. Overall, slightly fewer than 4 % of children

are reported by their mothers to be in fair or poor health; this is more likely the older

the child. Similarly, only about 7 % of children in the full sample need regular

medication; medication needs also appear to rise with age. A more common adverse

health outcome is the probability of not being at a normal body weight. Only

75.79 % of the full sample is neither overweight/obese nor underweight.7

The measure of child support used is the mother’s report of total child support

income, for any/all children, during the previous year. Based upon responses to a

NLSY-CYA question about how many children in a mother’s household were

covered by a child support order, I calculate that only 15 % of children in the full

5 Unlike adult BMI, child BMI is not evaluated on a fixed scale, but rather against the percentile

distribution for the child’s age and gender. I have used BMI growth charts produced by the National

Center for Health Statistics in 2000 and adopted the definition of the 85th percentile on that chart as the

cutoff for overweight and the 10th percentile as the cutoff for underweight.
6 The variable with the most invalid skips is the parent-reported child health status index. However, there

are not any significant differences in observables between children/parents with and without missing

values.
7 When this is broken down, most of the children not at normal body weight are overweight or obese.
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sample live in households with an official order. However, overall, 35.5 % of the

sample is in a household where the mother receives some child support. Some of

this difference may reflect the fact that many mothers are getting child support that

is not dictated by a legal agreement. However, it seems likely that the 15 % is not a

complete measure of child support orders. Therefore, the primary dependent

variables in the study are based upon annual child support income reports, rather

than questions about specific child support orders.

Table 4 summarizes child support receipt and frequency of father’s visitation.

The average amount received in households with positive child support income is

$3,528.49 per year. For these households, child support represents about 13 % of

total income, on average.

Because of the sample selection strategy, just over 1 in 4 observations in the

sample are for a child whose father is in the household at the time of the interview.

Children without a father in the household are much more likely to have a mother

receiving child support income (44 %) compared to those with a father at home

(12 %); note that mothers can be receiving support from multiple fathers and that

some fathers return to the home after separation and may still be paying support.

Just over 50 % of children in the sample had an absent father but received at least

one visit during the past year. Among absent fathers that visited at least once per

year, the modal frequency in all years was 1–3 times per month. Approximately

one-third of children whose fathers were absent received a visit at least once per

week.

Table 3 Child Health Outcomes by Age

Sample mean

(standard deviation)

Private HI 0.5489

(0.4976)

Uninsured 0.1034

(0.3046)

Annual doctor visit 0.6379

(0.4806)

Fair/poor healtha 0.0381

(0.1916)

Normal weightb 0.7579

(0.4283)

Needs medicationc 0.0703

(0.2557)

Means calculated using NLSY-CYA sampling weights. Estimation sample of NLSY-CYA participants

meeting sample selection criteria discussed in Sect. 3 and without missing data on any of the dependent

variables in Eq. 1
a The non-response rate for the mother-rated health status question is 45 % overall
b The non-response rate for weight information is 3.7 % overall
c The non-response rate for the medication question is just over 1 %
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4 Empirical analysis

4.1 Baseline model

The following simple model of the effect of child support on health outcomes can be

estimated by as a logit:

Yit ¼ aþ b1CSmt þ c1Xit þ c2Zmt þ eimst ð1Þ

where Y is a discrete variable measuring one of three types of health outcomes for

child i: (1) health insurance coverage type; (2) a visit to a doctor for a ‘‘routine’’

medical checkup in the previous 12 months, or (3) a measure of health status. There

are two different ways to measure child support receipt, CS. The first is a discrete

indicator of whether the child’s mother received any positive amount of child

support in the past year and the second is the natural log of the real value ($2006) of

Table 4 Child support receipt

and visitation frequency

Means calculated using NLSY-

CYA sampling weights.

Estimation sample of NLSY-

CYA participants meeting

sample selection criteria

discussed in Sect. 3 and without

missing data for any of the

dependent variables in Eq. 1

Sample mean

(standard deviation)

Has child support order 0.1522

(0.3593)

Receives any child support 0.3550

(0.4785)

Conditional annual amount $3,528.49

(4,041.70)

CS received/income 0.1289

(0.1918)

Father at home 0.2519

(0.4341)

Frequency of visits if father absent

Almost daily 0.0497

(0.2175)

2–5 times/week 0.0996

(0.2995)

About once/week 0.0798

(0.2710)

1–3 times/month 0.1413

(0.3484)

7–11 times/year 0.0449

(0.2071)

2–6 times/year 0.0867

(0.2814)

Once/year 0.0520

(0.2221)

Never 0.1937

(0.3952)
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total child support payments received by the child’s mother in the past year. Models

with the Any Payment variable are estimated for the entire sample. Models with

ln(Real CS Payment) are estimated only for children for whom Any Payment is

equal to one; therefore these models estimate the effect of additional dollars of

support conditional upon receiving support at all. Child support amounts are mea-

sured at the mother/family level, subscripted m.

The vector X contains child-level control variables including age, gender, race

and ethnicity. The child’s birth weight is also included in X; this controls for any

health differences across children that derive from their birth outcomes. The vector

Z contains controls for characteristics of the child’s mother, including age, marital

status and number of adults and children in the household. Finally, because many of

the women in the NLSY have multiple children in the CYA sample, the standard

errors in each equation are clustered at the mother level.

Panels A and B of Table 5 present estimates of the child support effects as odds

ratios for the Any Payment and ln(Real CS Payment) models, respectively. Values

greater than 1 indicate a positive effect, while values less than one indicate a

negative effect. Child support is associated with a significant shift in health

insurance coverage patterns. In Panel A, receipt of any amount of child support is

associated with 1.7 times higher odds of private health insurance coverage, along

with a significantly lower odds of uninsurance. Based upon the results in Panel B,

conditional upon receiving any child support, higher dollar amounts are also

associated with significantly higher odds of private health insurance coverage and

lower rates of uninsurance. Receipt of any child support is not associated with any

significant differences in medical care utilization, but is associated with 1.3 times

higher odds that a child needs regular medication. The conditional amount of

support is also associated with significantly better health status; the significant

estimate in Column (4) suggests that a higher level of child support is associated

with much lower odds that that a child is reported to be in fair or poor health as well

as marginally higher odds that a child is a normal weight. Finally, the surprising

result in Panel B is that higher amounts of child support are associated with

significantly lower odds of a routine doctor visit.

The top two panels of Table 5 contain suggestive evidence that child support

improves several health-related outcomes. However, the existing literature on child

support and outcomes shows that child support payments are likely to be positively

correlated with a father’s visitation time, and visitation time may have its own effect

on health outcomes. Additionally, most state child support laws suggest a payment

structure based upon the incomes of one or both parents, and so total family income

may be an important omitted variable in Eq. 1. Therefore, the following

specification is likely to be more appropriate:

Yit ¼ aþ b1CSmt þ b2 ln INCmt þ c1Xit þ c2Zmt þ c4Vit þ eimst ð2Þ

where INCm is total maternal (family) income from all sources, including child

support, and the V vector includes controls for frequency of paternal visitation in

order to try to disentangle the effects of time and money on child health. All of the

control variables and the clustering strategy are the same as in Eq. 1.
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The estimates (odds ratios) for the child support, family income and paternal

visitation variables in Eq. 2 are presented in Panels C and D of Table 5. The results in

Panel C show that children whose mothers receive any amount of child support are

significantly more likely to have private health insurance coverage, even after

controlling for total family income and the frequency of paternal visitation, although

the magnitude of the effect diminishes from odds being 1.7 times higher to being 1.3

times higher. However, total income still has its own large, positive and significant

effects on private health insurance coverage. Additionally, children whose fathers are

at home or who visit at least once a year are significantly more likely to have private

health insurance compared to childrenwhose fathers do not visit. In Column 2, there is

still a significant negative correlation between child support receipt and uninsurance

even after adding visitation and income controls. Children with higher total family

incomes are significantly less likely to be uninsured, but the relationship between

paternal visitation and uninsurance is weaker than the relationship for private health

insurance. This makes sense if the primary way that non-custodial fathers affect the

health insurance coverage of children is by adding them to employer-sponsored

insurance plans as dependents. In Column 6, there is still a significant positive effect of

child support receipt on the probability of medication, and themagnitude of this effect

is unchanged by the addition of family income and visitation controls.

Panel D contains the results for models with the ln(Real CS Payment |

Payment[ 0) variable. As was the case for the Any Payment models, adding

additional controls reduces the magnitude of the private health insurance odds ratio,

but there is still a strong and statistically significant positive association between the

amount of support received and the odds of a child being covered by private health

insurance. The odds ratio for uninsurance, on the other hand, is no longer

statistically significant. The estimate of the effects of child support amount on fair/

poor health status is still significant and slightly smaller in magnitude after adding

family income and paternal visitation controls, while the estimate for normal weight

is now larger and more significant. Finally, there is still a significant negative

relationship between the amount of child support and the odds of a doctor visit in

the past year. Since there is not an obvious theoretical explanation for this negative

effect, the following sections contain several tests to see if unobserved individual

heterogeneity or other empirical biases can explain it.

4.2 Mechanisms for child support effects

Although an effect of child support receipt above and beyond its dollar contribution

to family income has been found in other papers, the explanation for such an effect

is not obvious. The results from Eq. 2 show that the effect is not operating through a

correlation between paternal visitation and child support receipt/payment level.

Other possible explanations that have been mentioned in the literature include

unobserved parental heterogeneity and stigma or service quality effects of public

assistance program participation (which could be correlated with child support

receipt). I consider each of these explanations in the following analyses.

The first explanation is unobserved heterogeneity among mothers and/or fathers.

For example, mothers with better ability to get higher child support awards or better
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enforcement use the same skills (e.g., tenacity or good organizational skills) to get

health insurance for their children and otherwise invest in child health. Some

differences in mother ability may be related to education, which is already included

as a control variable in the baseline model, but other differences may be

unobservable. There may also be unobservable characteristics of non-custodial

fathers that are correlated with both payments and health outcomes. If the fathers

who are more likely to pay child support after a divorce were also the same fathers

who made greater investments in their children during marriage, then a significant

coefficient on child support payments might simply be picking up the persistence of

health effects over time.

In order to address unobserved maternal heterogeneity, I make use of the panel

nature of the NLSY-CYA data and estimate a set of maternal fixed effects models

that make use of the panel nature of the data. Because of the age restriction on the

sample, the maximum number of times any child can be observed in the data is

seven, and this would be only for infants born at the very start of the study period. In

the full analysis sample used in Table 5, the average child is observed four times

during the panel, and 85 % of children are observed at least three times. Fixed effect

models can only be estimated for units of observation (in this case, grouped at the

mother level, since that is the level of observation for child support payments) for

which an outcome changes over time; this results in a sample size reduction of

anywhere between 33 % (normal weight) and 80 % (uninsurance). Further, the child

support coefficients are only identified by mothers whose child support payments

vary over time. In the AnyPayment models, only 45 % of children are observed both

with and without any child support. However, approximately 90 % of children who

receive support have a change in the amount of their real payment over time. Most

of this change comes from large, discrete changes in payment level rather than a

gradual inflationary adjustment. Additionally, both increases and decreases in

payment amount over time are observed.

The fixed effects models take the form:

Yit ¼ am þ at þ b1CSmt þ b2 ln INCmt þ c1Xit þ c2Zmt þ c4Vi þ eimst ð3Þ

and contain mother-level (am) and year-level (at) fixed effects. In these models the

mother fixed effects capture time-invariant unobservable characteristics of mothers

that might be correlated with both payment and receipt of child support and child

health and the b parameters in the model are now identified by changes in child

support receipt at the mother or family level over time. The estimates from these

models are therefore more likely to reflect causal relationships between child sup-

port receipt and health outcomes compared to the baseline model. Jackknife stan-

dard errors are used to calculate z-statistics for these models.

The results for the fixed effects models are presented in Table 6. The coefficients

on Any Payment is still above one for private health insurance coverage and needing

medication, and below one for being uninsured, but none of these estimates are

statistically significant. This would tend to suggest that the association between

receiving any child support and health insurance outcomes in Panels A and C of

Table 5 are were driven by unobservable differences between mothers who received
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and did not receive child support. However, it should also be pointed out that the

sample size in the fixed effects models is much lower than in the baseline models,

resulting in a loss of power.

Panel B of Table 6 contains the fixed effects results for models where child support

is measured as ln(Real CS Payment | Payment[ 0). Here, higher dollar amounts of

support are still associated with significantly higher odds of private health insurance,

although the magnitude of the effect is somewhat smaller. This suggests that only a

portion of the observed correlation between payment amount and private health

insurance coverage rates and from Table 5 is due to maternal heterogeneity. The

estimated odds ratio for doctor visits is still less than 1, but is no longer statistically

significant in the fixed effects specification. Finally, in the baseline models, amount of

child support received was significantly associated with lower odds of a child being in

fair/poor health. There are only approximately 250 children in the sample whose

health status changes to or from ‘‘fair/poor’’ during the panel, so there is insufficient

power to test for a child support effect on this outcome. However, there is more

variation in health status overall, so I create dummy variables for an increase (Better

Health) or a decrease (Worse Health) on the 4-point health status scale between wave

t - 1 and t of the panel. The results for these outcomes are presented in Columns 4 and

5 of Table 6. The odds ratio for increased health status is greater than one but

statistically insignificant, while the odds ratio for decreased health status is significant

and less than one. This suggests that there is a health-protecting effect of greater

amounts of child support that is not driven by maternal heterogeneity.

Overall, the evidence from the fixed effects models shows that some of the

previously observed correlation between child support receipt and better health

outcomes can be attributed to unobservable maternal heterogeneity. However,

relatively large effects of higher amounts of child support on private health

insurance coverage and health status persist even after accounting for heterogeneity.

A second explanation in the literature for the existence of a child support effect

that persists even after controlling for total income is that child outcomes may

improve if children who receive child support are less likely to receive public

benefits that may have poor quality (i.e., do not generate the same utility as an

equivalent amount of private spending—as in the case of Food Stamps or SNAP) or

generate stigma effects. Participation in most cash transfer programs is also likely to

be significantly associated with maternal employment. In results not reported here, I

find that the probability of child support receipt is negatively and significantly

correlated with the probability of receipt of multiple types of federal and state

needs-based public assistance programs. Therefore, I test to see whether this

explains the significant outcomes in Table 6 by estimating a set of fixed effects

models of the following form:

Yit ¼ am þ at þ b1CSmt þ b2 ln INCmt þ c1Xit þ c2Zmt þ c4Vit þ ANYPAmt þ eimst
ð4Þ

which contain a new control variable—Any PAmt—that indicates whether or not a

child’s family received any needs-based public assistance program (AFDC, TANF,

SSI or Food Stamps/SNAP) during the past year. The results in Panel A of Table 7
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show that adding a public assistance control to the model decreases both the

magnitude and significance of the effect of child support amount on private health

insurance. On the other hand, higher amounts of child support are still associated

with large and significant reductions in the odds of declining health status.

It is possible that this public assistance participation effect may be driven by the

correlation between cash public assistance and Medicaid/SCHIP participation.

Therefore, I estimate the following equation, in which child-level Medicaid/SCHIP

participation (MED) is included as a control instead of ANYPA:

Yit ¼ am þ at þ b1CSmt þ b2 ln INCmt þ c1Xit þ c2Zmt þ c4Vit þMEDit þ eimst ð5Þ

Panels C and D of Table 7 provides the results for models of changes in health

status with a control for participation in Medicaid, the public program most directly

related to health, instead of income assistance programs. Medicaid could possibly

have negative effects on child health outcomes, above and beyond any stigma

effects, if it is difficult for families to find physicians who will accept Medicaid or if

the quality of Medicaid physicians is lower than those who accept private insurance.

If this were true, then any switch from Medicaid to private health insurance

coverage caused by increased child support might drive improvements in health

status. However, the results in Panel B of Table 7 show that adding a Medicaid

control does not change the fixed effects estimate for Worse Health from Table 6.

5 Conclusion

The evidence presented in this paper suggests that child support is likely to have

several significant effects on child health. Although the health differences in

Table 7 Fixed effects models with controls for public assistance receipt

(1) (2) (3)

Private HI Better

health

Worse

health

Control for any public assistance A Ln(real CS payment) 1.2721

(1.61)

1.1213

(0.58)

0.5409*

(2.54)

Any PA 0.2384**

(4.20)

0.6394

(0.86)

0.6441

(0.96)

Control for Medicaid B Ln(real CS payment) 1.1783

(0.84)

0.5697**

(2.40)

Medicaid/SCHIP 1.5286

(0.88)

0.6262

(0.93)

All models contain a full set of dummy variables for child age, year of observation, as well as controls for

maternal marital status, education and the number of children and adults in the household

Sample sizes are the same as in Table 6. Parentheses contain z-statistics based upon jackknife standard

errors

** Statistically significant at the 1 % level

* Statistically significant at the 5 % level
± Statistically significant at the 10 % level
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children whose mothers receive any versus no child support disappear after

controlling for maternal heterogeneity, results from fixed effects models show a

significant positive effect of the total amount of child support received, conditional

upon receiving any support, on the likelihood of private health insurance coverage.

This effect is not explained by differences in total family income or in paternal

visitation frequency. However, the magnitude and significance of the effect fall

when controlling for receipt of public assistance; the most likely explanation is that

mothers who receive more child support are less likely to be eligible for/participate

in cash transfer programs, and are therefore less likely to participate in public health

insurance programs and more likely to work and to take up private health insurance.

Higher amounts of child support are also associated with significantly lower odds

that a child experiences a decline in health status over time, even after controlling

for maternal heterogeneity. As with health insurance, the effect cannot be explained

by total family income or in paternal visitation, nor does it appear to work through

increased preventive care visits to the doctor. Additionally, the estimate does not

appear to be driven by reduced use of Medicaid by families that have higher child

support payments. Although the mechanism for this health status effect cannot be

isolated in this analysis, there are a number of potential reasons why higher amounts

of support could have a health-protecting effect, including: increased affordability

of prescription medication, lower stress for both mother and child, better living

conditions, and higher quality nutrition.

There are several policy implications of the results of this analysis. The first

relates to insurance coverage patterns. Higher amounts of child support are

associated with significant increases in private health insurance coverage, but no

significant change in the odds of being uninsured; this implies that child support

encourages the substitution of public health insurance for private coverage. This

has meaningful budgetary implications because public health insurance programs

are a major source of expenditures at both the state and federal levels. The

significant, positive association between amount of child support and health status

also suggests that child support plays an important role in promoting child

development, not only in the cognitive and behavioral sense (as found in previous

research), but also in terms of physical health. This is important because of the

strong link between health in childhood and a set of adult outcomes that include not

just health, but educational attainment and earnings (Currie 2009; Smith 2009; Case

et al. 2006). Therefore, public policies that encourage higher levels of payment of

child support by non-resident parents are likely to promote investment in human

capital along a number of dimensions.

There are several limitations to this analysis. First, the fixed effects models used

in the analysis control for any time-invariant heterogeneity across mothers that

could potentially bias the results. However, a limitation of the fixed effects analysis

is that it is impossible to rule out the possibility of an endogenous relationship

between changes support receipt and outcomes over time. This would be a problem

if, for example, child support awards were decreased over time in response to

changes in health status. However, in this type of case, most state child support

guidelines imply that child support payments would be higher for less healthy

children, the ones with the highest level of medical need. This would tend to bias the
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coefficients on adverse health status outcomes (such as fair/poor health) downward,

meaning that the results in this analysis would tend to understate rather than

overstate the true causal impact of receiving child support.

Additionally, the variables available in the NLSY-CYA data are limited and do

not fully capture all aspects of child health. Further, income and other determinants

of child health may not produce measurable impacts immediately. Some impacts of

higher income—better environmental health and better preventive medical care, for

example—may not be evident until the teen or early adult years. However, studying

these outcomes is beyond the scope of the current study.

Finally, researchers in the child support literature have documented that support

may take both formal and informal forms (see, e.g., Nepomnyaschy and Garfinkel

2010). Informal support is likely to include financial transfers from non-resident

fathers to their children that this survey does not measure, including in-kind

purchases of food, clothing, diapers and toys, or even direct payment of medical

bills by a father. Assuming that these transfers are of a kind to substitute for health

inputs that a mother, they should also lead to improvements in child health.

Alternatively, if fathers are informally providing non-health items that a mother

would otherwise purchase with child support income, this would free up disposable

income that could go toward health-related items. For these reasons, the results in

this analysis may underestimate or incompletely capture the extent to which

economic transfers from non-resident fathers to their children improve health

outcomes.
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