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Abstract

We examine whether state-level corruption and corporate tax avoidance in the United
States (U.S) are related. Using a sample of 36,078 U.S. firm-year observations from
1998 to 2014, we find that corruption is significantly positively related to tax avoid-
ance. Our main finding is consistent across a series of robustness tests. In additional
analysis at the state level, we observe that corruption is significantly positively related
to corporate tax avoidance in states that have low levels of litigation risk, irrespective of
whether the states rank high or low in terms of corporate governance, social capital, or
money laundering. We also correlate state- and firm-level corruption with firm-level
corporate tax avoidance and find that the interaction terms are generally significantly
positively related to corporate tax avoidance. Finally, we show that state-level corrup-
tion and corporate tax avoidance are complementary across industry sectors. Overall,
our results indicate that the broader state-level corruption (cultural) effects of where a
firm is headquartered have significant consequences for corporate tax avoidance.
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1 Introduction

Several recent government reports and academic studies provide evidence of a culture
of corruption in the United States (U.S.) and its links with various forms of corporate
misconduct (e.g., Dass et al. 2016; Liu 2016; Smith 2016). The U.S. Department of
Justice (DOJ) reports numerous cases (and dollar amounts) of corruption across many
states, involving soliciting and receiving financial benefits or conflicts of interest, with
many convictions for bribery, extortion, and conspiracy (Department of Justice 2014).
Significant correlations are found between a corruption culture (at the state, firm, and
individual levels) and earnings management, financial transparency, insider trading,
and corporate fraud (e.g., Dass et al. 2016; Liu 2016; Smith 2016).

Increased financial, legal, and organizational complexity, together with reduced infor-
mation transparency and exchange, can lead to corruption (Beasley et al. 2010). Research on
culture and tax evasion shows that institutional, demographic, and attitudinal factors can
influence a firm’s likelihood of engaging in corporate tax avoidance (e.g., Bame-Aldred
et al. 2012; Cho et al. 2016).1 State-level environmental factors, such as high rates of
corruption convictions, can encourage firms headquartered in those states to engage in tax
avoidance. High rates of cases involving bribery, insider trading, embezzlement, and other
crimes committed by public officials in a state are likely to influence the attitude toward tax
compliance (and other forms of compliance) of firm managers (Wenzel 2005; Bame-Aldred
etal. 2012; Cho et al. 2016; Liu 2016). Corrupt board members, managers, and employees
are also likely to be attracted to firms in states characterized by a culture of corruption.
Crimes committed by public officials can then affect the provision of adequate risk oversight
by managers and the implementation of effective tax compliance monitoring, controls, and
governance. A firm’s employee culture may be influenced by state-level environmental
factors and can thus affect managers’ motivation to engage in tax avoidance activities
(Bame-Aldred et al. 2012).

In this study, we examine the relationship between corruption and corporate tax
avoidance in the U.S., which has not been considered empirically. The research
indicates that institutional, cultural, demographic, and attitudinal factors can signifi-
cantly influence a firm’s likelihood of engaging in tax avoidance (e.g., Bame-Aldred
et al. 2012; Cho et al. 2016). We propose that a firm headquartered in a state with high
levels of corruption convictions is more likely to engage in corporate tax avoidance, as
it will be affected by the cultural environment of that state.”

' We follow Hanlon and Heitzman (2010) in viewing corporate tax avoidance as a broad range of activities
that have outcomes ranging from certain to uncertain, where uncertain (i.e., aggressive or risky) tax positions
are supported by a relatively weak set of facts, so are less likely to be sustained when a tax audit is conducted.
Tax avoidance therefore differs from tax evasion, which is illegal (Hanlon and Heitzman 2010).

2 Altonji et al. (2005) argue that the selection of unobservables is akin to that of observables. Thus, the
probability of the outcome (tax avoidance) related to observables (state-level corruption) has the same
relationship with state corruption as the part related to unobservables. Altonji et al. (2005) claim that such a
relationship is likely if the following assumptions are adhered to: that the suite of observed variables is chosen
at random from the full set of variables that determine (in our case) state-level corruption and firm-level tax
avoidance, and that the number of observed and unobserved variables is large enough to not dominate the
distribution of the occurrence of corruption in a state and the level of tax avoidance in a firm. As many
observed determinants are used in our regression models over a long period, we should be able to adhere to
these assumptions. We thus argue that, for corruption to occur in a state and for a firm to engage in tax
avoidance, the selection of unobservables is unlikely to be as robust as the selection of observables.
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346 Are corruption and corporate tax avoidance in the United States...

Anecdotal evidence suggests that state-level environmental factors affect the
likelihood that firms will engage in tax avoidance or illicit activities through
the enactment of the Tax Cuts and Jobs Act (TCJA) of 2017, which unlike the
Tax Reform Act of 1986, was enacted without public debate. The TCJA
contains provisions that could favor special interest groups aligned with the
Republicans and help them to retain control in the Congress (Hanlon 2018).
For example, the TCJA reform involved tax breaks for oil-and-gas investment
partnerships and benefitted members of Congress who had invested in these
partnerships (Hanlon 2018). Another provision in the TCJA protected the
cruise-ship industry from being taxed in the U.S. by attributing the source of
income to jurisdictions, such as Bermuda (a tax haven), whereas the actual base
of operations was Florida. The senators involved in this process apparently
received political donations from the cruise ship firms (Hanlon 2018). There-
fore, numerous firms successfully lobbied Congress to obtain tax benefits in
return for personal favors, suggesting that state-level environmental factors can
directly affect firms’ incentives to engage in tax avoidance.

Our sample consists of 36,078 U.S. firm-year observations from 1998 to 2014, and
we find that state-level corruption is significantly positively related to corporate tax
avoidance. Our main result is robust to various checks. In additional analysis at the
state-level, we find that corruption is significantly positively related to tax avoidance in
states with a low litigation risk, regardless of whether the states rank high or low on
corporate governance, social capital, or money laundering. By correlating state- and
firm-level corruption with firm-level corporate tax avoidance, we find that the interac-
tion effect is in general significantly positively related to tax avoidance. Finally, we
report that state-level corruption and corporate tax avoidance are complementary across
industry sectors.

This study makes the following contributions to the literature. First, it reveals a
strong positive relationship between state-level corruption and corporate tax avoidance.
From an economic perspective, based on the average effect of a one-unit increase in
CORRP_LN, the coefficient of our regression model, suggests that state-level corrup-
tion reduces Generally Accepted Accounting Principles (GAAP) tax expense by around
US$0.93 million per firm-year, on average.’ To the best of our knowledge, this study is
the first to empirically examine this important issue. We also explore the broader state-
level cultural effects of the location of a firm’s headquarters on its business activities
and likelihood of tax avoidance and provide valuable insights into the link between
corruption norms and tax avoidance. We also extend the research of DeBacker et al.
(2015) on overseas corruption culture and corporate tax evasion in the U.S. by
investigating corporate tax avoidance, which can be legitimate (unless it is overly
aggressive), rather than corporate tax evasion, which is illegal (Hanlon and Heitzman
2010). Our results further expand the findings of DeBacker et al. (2015) by identifying
the channels through which state-level corruption can lead to firm-level tax avoidance.
We find that both state- and firm-level corruption (proxied by the level of corruption of
the country of origin of director members) are key drivers of firm-level tax avoidance.

* The economic effect, based on the average effect of a one-unit increase in CORRP_LN, is computed as the
mean pretax income (US$320 million) x state corruption presence (—0.0029), which is equal to a decline of
US$0.93 million in GAAP tax expense per firm-year, on average.
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We also build on Smith’s (2016) research concerning corruption and financial policies
by showing that the social environment affects whether a firm behaves improperly.
Second, our novel findings show that, at the state level, corruption is significantly
positively related to corporate tax avoidance in states with low levels of litigation risk.
We thus confirm that increasing the level of legal enforcement (litigation risk) is likely
to moderate the relationship between corruption and tax avoidance. Third, we construct
two measures of a firm’s likelihood to engage in corruption, based on the annual rates
of corruption convictions for the states in which the firms are headquartered. Examin-
ing these convictions based on state and year has the advantage that a proven case of
corruption is an event distinct from estimates of earnings management, tax accruals
quality, or the disclosure of material accounting restatements as evidence of fraudulent
or manipulative accounting. Thus, our measures of corruption directly capture fraud
and more clearly illustrate that a firm with its headquarters in a state with a high level of
corruption is more likely to engage in tax avoidance. Fourth, our study contributes to
research on the effects of a firm’s involvement in illicit activities on corporate tax
planning (e.g., DeBacker et al. 2015) and is one of only a few examinations into the
effect of a firm’s headquarters environment on its tax behavior. Corruption can lead to
ineffective managerial decision-making and planning, and resource misallocation,
significantly increasing business costs (Dass et al. 2016), so it should be investigated.
Finally, we provide valuable insights for tax authorities, including the Internal Revenue
Service (IRS), law enforcement agencies, and policymakers and regulators.

The remainder of this paper is organized as follows. Section 2 considers the
theoretical background and develop our hypotheses. Section 3 describes the research
design, and Section 4 presents our empirical results. Finally, Section 5 concludes.

2 Theoretical background and hypothesis development
2.1 Corruption

The U.S. Attorney’s Office defines corruption as the abuse of public trust by
government officials (DOJ 2014). Transparency International (2019) defines
corruption as the abuse of power by public officials for private gain, including
activities such as bribery, extortion, conflicts of interest, and illicit financing.
Corruption convictions include bribery, theft, larceny, extortion, embezzlement,
fraud, money laundering, and conspiracy for soliciting and receiving financial
benefits from a firm in exchange for performing official acts (DOJ and the
Enforcement Division of the U.S. Securities and Exchange Commission 2012;
DOJ 2014). The DOJ tackles corruption by investigating and prosecuting guilty
officials (both elected and appointed), government employees and those doing
business with city, state, and federal governments (DOJ 2014). The Attorney’s
Office publishes the names of those responsible for the corruption and nature of
the corruption on the DOJ website. Sentencing is overseen by the Public
Integrity Section of the DOJ, whose attorneys prosecute federal, state, and local
officials. The U.S. Sentencing Commission publishes statistics on corruption
and other forms of crime per state. We provide examples of public corruption
in Appendix 1.
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2.2 Relevant theory

A firm’s regulations, compliance, and risk-taking are likely to broadly reflect the
cultural environment of the state where it is headquartered. By soliciting bribes,
engaging in conflicts of interest, or using information for personal gain, public officials
help shape the state’s financial environment and general attitude toward compliance.
The managers of firms headquartered within the state may therefore be motivated or
have opportunities to break the law, which can also help them avoid corporate taxes.

As Smith (2016) suggests, corruption can enable a firm to circumvent legislation and
regulation efficiently and quickly, facilitating tax avoidance. Managers can then engage
in rent-seeking designed to amass corporate resources at the expense of shareholders
(Desai and Dharmapala 2006). A firm headquartered in a state with a high level of
corruption can exploit this environmental factor and engage in corruption to increase its
cash flows, which can substitute for tax avoidance. However, the firm may also be
subject to greater scrutiny from law enforcement agencies or other regulators and
external auditors, and thus perceive that the costs of avoiding taxes (e.g., litigation,
back-taxes, tax fines, and penalties) outweigh any possible benefits, such as an increase
in after-tax cash flows (Scholes et al. 2008). A firm may also be willing to pay its fair
share of corporate taxes to disguise accounting fraud or other forms of misconduct and
prevent an audit by key stakeholders, such as the IRS (Erickson et al. 2004). Holzman
etal. (2019) find that revealing corporate accounting misconduct through an accounting
and auditing enforcement release (AAER) is associated with a spillover effect in the
local community, which is reflected through increased crime (e.g., theft and robbery).
This potential effect is from firm activity and on the community, whereas in our study
we provide new evidence of broader spillover effects.

2.3 Hypothesis development

The number of corruption convictions at the state-level can affect a firm’s likelihood to
engage in corporate tax avoidance through the transmission effect of environmental
factors. The nature and frequency of bribes made to public officials in a particular state
or the specific employee culture of a firm represent characteristic environmental factors
(Smith 2016), together with the attributes of firm managers and governance structures,
which can affect the incentives and opportunities for firms to avoid taxes (Dyreng et al.
2010; Graham et al. 2012). Incentives, policies, and governance structures can also
affect firm managers’ attitudes about tax avoidance, along with social activities (Schein
1992) and a manager’s social environment influences attitude towards tax compliance
(Cho et al. 2016).

Schneider (1987) and Liu (2016) claim that a culture of corruption in a locality can
attract like-minded individuals to become employees (including members of the
management teams) of local firms. Recent studies show that the likelihood of firms
engaging in misdeeds relates to the rate of corruption in their place of domicile. Parsons
et al. (2014) find that engaging in misdeeds relates to rates of corruption in a firm’s
immediate neighborhood and is a likely consequence of the social interactions the firm
has with its intermediaries. Cho et al. (2016) observe that the earnings management of
London firms relates positively to the crime rates in different parts of the city. Liu
(2016) finds that individuals who are more accepting of corruption are more likely to
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join firms with a similarly tolerant attitude. Although these studies relate individuals’
attitudes toward corruption to firm earnings management or accounting fraud, a similar
rationale can be applied to the link between such attitudes and corporate tax avoidance.
Hasan et al. (2016) argue that a firm’s social environment can affect its attitude toward
tax compliance, suggesting that a firm’s tax compliance orientation is influenced by its
social norms. Hence, these studies show that corruption in the (cultural) environment
directly affects a firm’s culture and its likelihood of engaging in fraud.

Bame-Aldred et al. (2012) conduct a survey covering 80 countries and find that
cultural factors can explain the extent to which firms in those countries avoid taxes.
Liu (2016) measures corporate corruption culture through the attitudes of board
members and employees toward corruption and finds that firms characterized by a
highly corrupt culture are more likely to manage earnings, and commit accounting
fraud and insider trading. Liu (2016) also develops a corruption culture measure,
based on the idea that immigrants bring the cultural beliefs and norms of their native
countries with them and pass them onto others in their new country. DeBacker et al.
(2015) take a similar approach. They examine the IRS audit data of foreign-
controlled firms in the U.S. and find that cultural differences related to firm man-
agers’ countries of ancestry help explain the tax evasion levels of those firms. Firms
with managers from countries with greater corruption evade more tax in the U.S.
than those with managers from elsewhere. If the managers are originally from tax
haven jurisdictions, the extent of any tax evasion appears to be more extreme,
probably due to the weaker regulatory environment and opaque information envi-
ronment typical of such jurisdictions (DeBacker et al. 2015). These studies therefore
support the idea that attitudes toward corruption can be transmitted across cultural
and geographical boundaries, and can affect a firm’s tax planning and tax strategies.
Hence, the attitudes toward tax avoidance of managers of firms headquartered in
states with higher levels of corruption (including bribery, conflicts of interest,
extortion, and fraud) could also be shaped by a culture of corruption.

A firm’s tax avoidance may be affected by the cultural values and attitudes
toward corruption in the state in which it is headquartered (Becker 1968). Man-
agers of firms in states with high rates of corruption convictions could perceive
that tax avoidance is worth the risk, as compliance efforts may be diverted toward
activities such as bribery, so the risk of detection by audit and litigation may be
lower (Liu 2016). Further, the high levels of corruption convictions in some U.S.
states may lead to more tax avoidance, as firm managers may be encouraged to
bend the rules. Such activities may be perceived as permissible, given the bribery,
extortion, and rent extraction by public officials (Smith 2016). This also suggests
that the cultural milieu of a firm, as dictated by the level of corruption in the
region where it is located, provides a strong incentive for a firm to engage in tax
avoidance.

Overall, the incentives for corporate tax avoidance in a state with high levels of
corruption are likely to arise from the social, legal, regulatory, and governance envi-
ronment to which the firm is exposed, together with its attitudes toward specific crimes.
We therefore propose the following hypothesis.

HI: The rate of corruption convictions in a firm’s headquarters state relates
positively to corporate tax avoidance.
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3 Research design
3.1 Sample selection, data source and distribution of the sample

Our initial sample consists of all firms in the Compustat annual file between 1998 and
2014. To ensure that the sample is correctly matched to the states in which the firms are
headquartered, we first obtain the state data for each firm-year from Brushwood et al.
(2016) and then merge these data with the Compustat file. This ensures that the correct
headquarters state of each firm is recorded against the state-level and firm-level
variables. We obtain 204,414 firm-year observations (see Table 1, Panel A). The
sample was then reduced to 36,078 firm-year observations after excluding firms: (1)
with duplicate GVKEYs and firm years (20,047); (2) not headquartered in the U.S.
(44,212); (3) headquartered in Guam, Puerto Rico, or the Virgin Islands (7); (4) with
missing values when computing GAAP_ETR (24,170); (5) with GAAP_ETR values not
bounded between 0 (2257) and 1 (17,088) (total 19,345); and (6) with missing values
for the control variables used in our regression model (60,555). As a consequence of
the availability of data on corruption convictions across U.S. states, our sample begins
in 1998.

Table 1 (Panel B) reports the sample distribution based on the FF12 industry
classification. The computer, software, and electronic equipment sector constitutes
the largest proportion of observations in our sample (19.7%), followed by other
(16.0%), healthcare, medical equipment, and drugs (14.7%), wholesale, retail, and
services (11.60%), and manufacturing (10.70%). We observe no significant industry
sector bias in our sample.

3.2 Dependent variable

Our dependent variable is corporate tax avoidance (TAX AVOID). We use several
measures of tax avoidance from prior research to improve the robustness of our
empirical results (e.g., Dyreng et al. 2008; Hoi et al. 2013; McGuire et al. 2013). The
use of different corporate tax avoidance measures addresses the limitations of any
individual measure (Hanlon and Heitzman 2010). We use accounting ETR
(GAAP_ETR) in our main empirical analysis and cash ETR (CASH ETR), total
unrecognized tax benefit (UTB), and tax shelter (SHELTER) in our additional analysis.4
Our measure of GAAP ETR differs from the long-run (5 year) measure used by Dyreng
et al. (2010).

GAAP_ETR is computed as the total tax income expense (comprising both current
and deferred tax expense) scaled by pre-tax book income less special items. This
measure considers tax avoidance practices that affect net income (Robinson et al.
2010), which are used by managers and investors to measure a firm’s overall tax
burden and its tax avoidance levels (Rego 2003; Wilson 2009; Dyreng et al. 2010; Hoi

4 CASH_ETR is not used as a main measure of corporate tax avoidance in this study, as firms may report nil
or negligible amounts of cash taxes paid in some years followed by large absolute amount of cash taxes paid
upon IRS audit settlements in other years. However, income tax expense, which is used to calculate
GAAP_ETR, comprises both current tax and deferred tax expenses, and the latter may constitute a large
proportion of total income tax expenses and take a significant period to reverse (Hanlon and Heitzman 2010).
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Table 1 Sample selection and industry distribution

Panel A: Sample selection

Total Compustat data from 1998 to 2014 with state relocation 204,414
Less: duplicates (GVKEY and FYEAR) (20,047)
Less: firms with missing “state of incorporation” in Compustat and/or firms with states (44,212)

incorporated, which the DOJ has not reported as being in the U.S. (e.g., AB, BC,
MB, NB, NS, NF, ON, PE, and QC), but are available in Compustat

Less: states not matched (GU, PR, and VI) (@)
Subtotal 140,148
Less: firms that have missing data for calculating GAAP _ETR (24,170)

Less: firm observations to compute ETR bounded between 0 and 1, GAAP_ETR>1 (19,345)
(dropped 2257 observations) and GAAP_ETR<O0 (dropped 17,088 observations) _—

Subtotal 96,633
Less: missing data to compute control variables (60,555)
Total 36,078

Panel B: Sample industry distribution as per the FF12 industry classification

FF12# Industry classification No. of firms Relative frequency
1 Chemicals and allied products 1,088 0.030
2 Computers, software, and electronic equipment 7,111 0.197
3 Consumer durables 769 0.021
4 Consumer nondurables 2,256 0.063
5 Finance 2,734 0.076
6 Healthcare, medical equipment, and drugs 5,303 0.147
7 Manufacturing 3,855 0.107
8 Oil, gas, and coal extraction and production 1,794 0.050
9 Other 5,766 0.160
10 Telephone and television transmission 959 0.027
11 Utilities 256 0.007
12 Wholesale, retail, and some services 4,187 0.116
Total 36,078 1.000

et al. 2013).% Consistent with Dyreng et al. (2010), lower GAAP_ETR values represent
higher levels of corporate tax avoidance. Finally, the state mean GAAP_ETR values are
depicted as Fig. 1.

3.3 Independent variable

Our independent variable is corruption (CORR). We construct two measures of corruption
convictions based on state and year (see Appendix 2). Our first measure of CORR

% In this study, we set GAAP_ETR as missing when it is greater than 1 or less than 0. We follow the recent
studies of Hanlon et al. (2017) and Ling et al. (2017) in retaining loss firms in our sample. We also follow
Hanlon et al. (2017) by retaining firms in our sample that have a negative denominator to maximize the sample
size. Finally, we truncate GAAP_ETR;; to the range [0, 1].
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State Mean GAAP_ETR '
0.094 EEEEENNTT 0.329
Fig. 1 State mean GAAP_ETR over the 1998 to 2014 period

(CORRP_LN) is computed as the natural logarithm of the number of corporate corruption
convictions in a given state and year as recorded by the DOJ Attorney’s Office. We follow
Smith (2016) in using the yearly number of corruption convictions from each federal
judicial district (a term used interchangeably with “district court” and “state” in this paper)
in the U.S. to generate a panel dataset that proxies for the underlying corruption in each
state.® The DOJ releases yearly conviction numbers for the 94 U.S. court districts and for
all states in its Report to Congress on the Activities and Operations of the Public Integrity
Section. Most of the statistics in the report represent crimes prosecuted by the Attorney’s
Office in the originating district (districts follow states and, in the case of multi-district
states, county lines). However, after 1998, the DOJ reported disaggregated corruption
figures for each state, so we begin our analysis from that year. Corruption investigations
conducted by and reported to the DOJ include bribery, extortion, election crimes, and
criminal conflicts of interest. However, the DOJ does not summarize each type of case
from each district, so we cannot identify convictions that plausibly affect each firm in our
sample (i.e., offenses that are both likely and unlikely to directly impact a firm are
included in the corruption variable). Consistent with Smith (2016), we construct our
corruption variable by assuming that the various types of corruption are positively
correlated. A state with many convictions is assumed to have a culture of corruption,
which should affect the firm’s operations in the district (Smith 2016). Ultimately, the
conviction data proxy for the actual level of corruption in a district.

Our second measure of CORR (CORRP_POP) is calculated as the number of
corruption cases reported in each state in a year scaled by the natural logarithm of the
state population in that year. We collect data on the number of convictions in each state
and year since 1998 from the U.S. Sentencing Commission (USSC) (2015). Each
guideline offender sentence involves a single sentencing event for a single offender in
each state. Multiple counts (and even multiple indictments) are deemed to be a single

© We obtain fewer observations of corruption than Smith (2016), because he uses the average of the adjacent
years as the conviction number to substitute for any missing corruption observations. However, the DOJ
reports disaggregated corruption per state from 1998. Smith (2016) uses overall crime (i.e., bribery, extortion,
and election crime) for the years before 1998.
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sentencing event if they occur at the same time and implemented by the same judge. A
single offender can be involved in more than one case at a time, so these are treated
separately. Many per-capita corruption convictions indicate more corruption in the firm’s
headquarters state.’

Table 2 presents the details of the corruption convictions sample. In particular, the
numbers of convictions for each U.S. state and year (1998 to 2014) in our sample are shown
in Table 2 (Panel A), whereas the mean number of corruption convictions for each state is
reported in Table 2 (Panel B). The state mean corruption cases over the sample period are
illustrated as Fig. 2. We find that 392 convictions occurred across all U.S. states in 1998,
compared with 383 in 2014. This number peaked with 524 cases in 2008, coinciding with
the global financial crisis. We also find that the total number of corruption convictions over
the 1998 to 2014 sample period is 6603. Finally, we observe that the five states with the
most corruption convictions over the sample period are New Jersey (676 cases), Texas (435
cases), Maryland (383 cases), Ohio (379 cases), and Massachusetts (328 cases).

3.4 Control variables

To control for other effects on corporate tax avoidance, we include several control variables in
our regression model. Large firms typically benefit from economies of scale in tax planning
(Rego 2003), so we control for firm size (SIZE) in our regression model. More rapidly
growing firms have been found to invest more in tax planning (McGuire et al. 2012), so we
control for firm growth opportunities, as reflected by the market-to-book ratio (M7B), in our
regression model. Highly levered firms have greater incentives to avoid taxes, due to the tax
shield generated by corporate debt (Gupta and Newberry 1997), so we control for leverage
(LEV) in our regression model. Cash (CASH) is also included as a control variable in our
regression model, following past research (e.g., McGuire et al. 2012). Firms with positive pre-
tax incomes are also likely to have more incentives to avoid taxes, so our regression model
also controls for firm profitability (ROA) and net operating loss carry forwards (NVOL and
ANOL) (Chen et al. 2010).® Firms with foreign operations can shift income between high-
and low-tax countries (Rego 2003), so we control for foreign income (F7) in our regression
model. Capital intensity (CAPINT) and R&D intensity (RDINT) are also entered as control
variables to control for highly capital-intensive and R&D-intensive firms, as they are efficient
at tax planning (Gupta and Newberry 1997). We also include income related to the equity
method of accounting (EQINC) in our regression model to control for any differences in
financial and tax accounting treatments that could affect corporate tax avoidance (Frank et al.
2009). We follow other studies in controlling for several state-level factors, such as GDP
(ST _GDP_LN), fraud (ST FRAUD _LN), literacy rate (ST _LIT), and the number of firms
incorporated in each state (FIRM_LN) in our regression model (e.g., Smith 2016). Finally, we
include dummy variables in our regression model to control for industry (/ND_FE) and year
(YEAR_FFE) fixed effects.

7 Corruption is measured based on the number of state-level convictions issued by the Attorney’s Office (e.g.,
Dass et al. 2016) or on the number of individual convictions, such as of members of the board of directors, the
CEO, or employees of a firm (e.g., Bame-Aldred et al. 2012; Liu 2016).

& We follow research by Hanlon et al. (2017) and Ling et al. (2017) in retaining loss firms (i.e., negative ROA)
in our sample. However, to verify that including these firms in our sample does not drive our empirical results,
we also estimate our regression models based on a subsample of firms with a positive denominator only (pre-
tax income). The results are qualitatively similar (untabulated). Though, the sample size is significantly
reduced by up to 21,025 firm-year observations.
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State Mean Comruption Cases

39.765
Fig. 2 State mean corruption cases over from 1998 through 2014

3.5 Baseline ordinary least squares (OLS) regression model
Our baseline OLS regression model is estimated as follows.

TAX _AVOID;, = oy + 3, CORRy, + B3,SIZE;, + B3 MTB;, + B,LEV; + 3sCASH
+ B¢ROA;; + 3,NOL;, + B3ANOL; + BoFI;, + (3,0CAPINT;,
+ B12RDINT ;; + (3, EQINC,, 4 3,5ST_-GDP_LN
+ B14ST_FRAUD LNy + 3\5ST _LIT;; + 3,sFIRM LN ;

+ IND_FE + YEAR_FE + ¢4, (1)
where i = firm i, t = the financial years 1998 to 2014, and s = state. We use several measures
of tax avoidance (GAAP_ETR, CASH ETR, UTB, and SHELTER) to improve the robust-
ness of our empirical results. Corruption (CORR) (measured by CORRP LN and
CORRP_POP) is the main variable of interest. All of the variables included in our regression

model are defined in Appendix 2. Finally, all of the continuous variables are winsorized at
the 1st and 99th percentiles to mitigate the potential effect of outliers on our results.

4 Empirical results
4.1 Descriptive statistics

Table 3 presents the descriptive statistics of the variables included in our regression
model. We find that the mean (median) value of GAAP ETR is 0.218 (0.260). Our
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mean (median) GAAP ETR differs from those in other studies (e.g., Dyreng et al. 2010:
0.309 (0.337); McGuire et al. 2012: 0.355 (0.367)), because our sample covers the
1998 to 2014 period, which is characterized by lower corporate statutory tax rates.
Hence the time-series average tax rate in our sample of 0.218 is lower than those
reported elsewhere. The means (medians) of our corruption variables, CORRP LN and
CORRP_POP, are 2.455 (2.485) and 0.982 (0.687), respectively. The descriptive
statistics for the control variables (SIZE, MTB, LEV, CASH, ROA, NOL, ANOL, FI,
CAPINT, RDINT, EQINC, ST GDP LN, ST FRAUD LN, ST LIT,and FIRM LN) are
also shown in Table 3. These are generally consistent with prior research on tax
avoidance and corruption (e.g., Dyreng et al. 2010; McGuire et al. 2012; Smith 2016).

4.2 Pearson correlation results

The results of the Pearson correlation analysis are reported in Table 4. We find that the
GAAP_ETR measure of tax avoidance is negatively correlated with both CORRP LN
and CORRP_POP, as expected (p < 0.01). We therefore find initial (univariate) support
for H1. Many of the control variables (SIZE, MTB, LEV, CASH, ROA, NOL, ANOL,
FI, CAPINT, RDINT, EQINC, ST GDP LN, ST FRAUD LN, ST LIT, and FIRM LN)
are significantly correlated with GAAP ETR (p<0.05 or better) in the predicted
direction and thus strongly support the validity of our key constructs and measures.

4.3 Baseline OLS regression model results

Our baseline OLS regression model results are presented in Table 5 (with the
coefficient estimates and #-statistics). Our f-statistics are based on: (1) robust
standard errors, and (2) standard errors clustered at the firm-level (Petersen
2009). In addition, p values are reported as one tailed for the directional
hypotheses and two tailed otherwise. Finally, the coefficients for /IND and YEAR
are not reported, for the sake of brevity.

We find that the CORR LN and CORRP POP coefficients are significantly
negatively related to GAAP_ETR (p <0.01), showing that a firm in a state with a
greater likelihood of corruption engages in higher levels of tax avoidance.
Therefore, H1 is supported. Our results are also consistent across a range of
regression models with or without industry, year, firm, and state fixed effects.
From an economic perspective, based on the average effect of a one-unit increase
in CORRP_LN, the coefficient of our regression model suggests that state-level
corruption reduces GAAP tax expense by around US$0.93 million per firm-year,
on average. We also observe that several of the coefficients for the control
variables (SIZE, MTB, LEV, CASH, ROA, NOL, ANOL, FI, CAPINT, RDINT,
EQUINC, ST GDP LN, and ST LIT) are significant in our baseline regression
model (typically p<0.10 or better with predicted signs, where appropriate),
which is consistent with other studies (e.g., Gupta and Newberry 1997; Rego
2003; Frank et al. 2009; Chen et al. 2010; McGuire et al. 2012; Smith 2016).

Overall, our main results consistently show that state-level corruption is
significantly positively related to firm-level tax avoidance after controlling for
the known determinants of tax avoidance, industry, and year fixed effects in our
baseline regression model.
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Table 3 Descriptive statistics

Variable Obs. Mean S.D. 0.250 Med. 0.750
GAAP ETR 36,078 0.218 0.186 0.000 0.260 0.365
CORRP_LN 36,078 2.455 0.947 1.792 2.485 3.135
CORRP_POP 36,078 0.982 0.880 0.337 0.687 1.400
SIZE 36,078 4.892 2.767 3.145 5.141 6.821
MTB 36,078 2.892 10.792 0.956 1.901 3.651
LEV 36,078 0.427 1.075 0.009 0.181 0.406
CASH 36,078 0.285 0.567 0.030 0.114 0.327
ROA 36,078 —0.434 2.139 —0.128 0.049 0.125
NOL 36,078 0.675 0.468 0.000 1.000 1.000
ANOL 36,078 0.316 1.541 0.000 0.000 0.075
FI 36,078 0.008 0.024 0.000 0.000 0.000
CAPINT 36,078 0.242 0.244 0.053 0.155 0.357
RDINT 36,078 0.503 47.610 0.000 0.000 0.060
EQINC 36,078 0.000 0.003 0.000 0.000 0.000
ST GDP_LN 36,078 13.101 0.906 12.468 13.057 13.905
ST FRAUD LN 36,078 5.484 1.041 4.554 5.576 6.465
ST LIT 36,078 9.884 2.500 8.100 9.500 11.100
FIRM LN 36,078 12.298 0.821 11.703 12.260 12.948

Variable definitions are reported in Appendix 2
4.4 Robustness checks
4.4.1 Instrumental variables (IVs) two stage least squares (2SLS) regression analysis

Our baseline OLS regression model results (see Table 5) could be affected by endogeneity,
due to a firm’s choice of where to locate its headquarters. This may lead to biased regression
coefficient estimates. We thus conduct IVs 2SLS regression analysis to support our baseline
OLS regression model results (Wooldridge 2010). We select POLICEPROEXP LN (the
natural logarithm of total direct police protection expenditure) and JUSTICESYE EXP LN
(the natural logarithm of total justice expenditure) derived from the DOJ as IVs in this study
to capture the endogenous variable CORR (CORRP LN and CORRP POP).° We expect
POLICEPROEXP_LN and our corruption measures to be negatively correlated, as increased
police protection-related expenditure is likely to reduce the level of corruption and associated
convictions (Goel and Nelson 2011). We also expect JUSTICESYE EXP LN and our
corruption measures to be positively correlated, because the increased expenditure related
to the justice system is likely to increase the number of corruption convictions recorded in a
state (Glaeser and Saks 2006; Goel and Nelson 2011). For POLICEPROEXP LN and
JUSTICESYE EXP LN to be deemed valid IVs, they should be correlated with the

? The data are available at https://www.bjs.gov. Police protection is a function of enforcing the law, preserving
order and traffic safety, and catching criminals, and is the main enforcement system in most cities. In addition,
these cities operate large judicial and correctional systems and may have significant public defense
expenditures (Glaeser and Saks 2006; Goel and Nelson 2011).
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endogenous variable CORR (CORRP_LN and CORRP_POP), but not with our corporate
tax avoidance measure. We find that both IVs (POLICEPROEXP LN and
JUSTICESYE EXP LN) are significantly correlated with the two corruption measures
(CORRP_LN and CORRP_POP), though not with our corporate tax avoidance measure
(GAAP_ETR) when they are included in the second-stage regression models (untabulated).

The first-stage regression models used to predict (fit) corruption are estimated as
follows.

CORRP_LN;; = ovwj; + 3;POLICEPROEXP_LN ;; + (3,JUSTICESYE_EXP_LN
+ 33 1sCONTROLS;; + IND_FE + YEAR_FE + STATE_FE
+ €. (2)
CORR_POP;, = oy + 3, POLICEPROEXP_LN ;; + [3,JUSTICESYE _EXP_LN
+ B35 14CONTROLS;, + IND_FE + YEAR_FE + STATE _FE
+ €. (3)

The results of the first-stage regression model are given in Table 6 (Panel A). In line with our
expectations, we find that the POLICEPROEXP LN (JUSTICESYE EXP_LN) coefficient
is significantly negatively (positively) related to CORRP LN and CORRP_POP (p <0.01).

We test the suitability of our IVs by computing several post-estimation tests (see
Table 6, Panel B). First, we compute the under-identification test and find that the
Anderson LM statistic is significant (p <0.01) in the regression models, so our IVs are
deemed relevant. Second, we calculate the weak identification test and find that the Cragg-
Donald Wald F-statistic for each regression model is above the Stock and Yogo (2005)
critical value of 19.93 based on a 10% Stock-Yoga maximum IV size.'® For instance,
based on the 10% maximum IV threshold of 19.93, our Cragg-Donald Wald F statistics
are 98.399 and 193.225, respectively for the regressions expressed as Eqs. (2) and @)1
We then calculate the Sargan statistic over-identification test (i.e., using more instruments
than there are endogenous regressors) to determine the appropriateness of the IVs (i.e., the
null hypothesis is that the IVs are valid instruments). This test requires at least one of the
instruments to be valid (Cameron and Pravin 2005). The results show that the null
hypothesis is not rejected in any of the models, which also justifies the suitability of the
IVs. We also follow Larcker and Rusticus (2010) in confirming the validity of the IVs
using the partial R-squared (Shea R-squared) in our post-estimation tests. Finally, we
compute the Hausman (1978) test for endogeneity and find that the exogeneity of the [Vs
is rejected (p < 0.05 or better), so the 2SLS regression estimates may be preferable to those
of the OLS. We conclude that both IVs appear to be suitable and can enhance the validity
of inferences in the second-stage regression models.

1% The weak instrument benchmark proposed by Stock et al. (2002) tests the F-statistic. If the number of
instruments is 1, 2, 3, 5, and 10, the suggested critical F-values are 8.96, 11.59, 12.83, 15.09, and 20.88,
respectively.

' For the weak instrument test, if the F-statistic is lower than 10 (the rule of thumb) and the partial R-squared
is lower than 0.05%, this indicates the exclusion effects of the instruments as a percentage (Murray 2006). Our
results also pass this test.
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Table 6 Instrumental variables (IVs) two stage least squares (2SLS) regression results
Model 1 Model 2
Panel A: First-stage regression results
Variable CORRP LN CORRP_POP
POLICEPROEXP_LN —0.3413%#* —0.4277%%%
(-13.09) —-17.08
JUSTICESYE EXP_LN 0.43 ]k 0.573 8%
—-14.03 (-19.41)
ALL CONTROLS Yes Yes
Intercept —13.7211%%* —13.72] %%
(-13.32) (-17.25)
IND _FE Yes Yes
YEAR_FE Yes Yes
STATE FE Yes Yes
Panel B: Diagnostic statistics
Description
1. Under-identification test
Anderson LM statistic 196.267 383.516
p value 0.000 0.000
2. Weak identification test
Cragg-Donald Wald F statistic 98.399 193.225
Stock and Yogo (2005) critical value 19.93 19.93
3. Sargan statistic (overidentification test) 0.000 0.099
Chi-sq(1) p value 0.996 0.753
4. Hausman (1978) test
Hausman statistic 3.752 3.744
Chi-square p value 0.053 0.053
5. Shea’s partial R square 0.009 0.010
Panel C: Second-stage regression results
Variable GAAP_ETR GAAP_ETR
CORRP_LN —0.0535%*
(-2.06)
CORRP_POP —0.0393**
(=2.05)
SIZE 0.02527%## 0.02527%#*
(68.90) (69.39)
MTB —0.0004:#:* —0.0004#*
(—6.32) (-6.21)
LEV —0.0018%** —0.0018%**
(-2.36) (-2.38)
CASH —0.0179%#* —0.0179%#*
(—14.57) (-14.63)
ROA 0.00117%* 0.0011%*
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Table 6 (continued)

Model 1 Model 2
(2.30) (2.54)
NOL —0.0870%** —0.0868***
(—46.51) (—46.83)
ANOL —0.0015%#* —0.0013%**
(—2.66) (-2.31)
FI 0.0808** 0.0817%%*
(2.40) (2.44)
CAPINT —0.0174%%* —0.0174%**
(=5.68) (=5.70)
RDINT —0.1946 —0.2245
(—0.83) (-0.96)
EQINC 0.0000 0.0000
(1.22) (1.07)
ST GDP_LN —0.1045%* 0.0255
(—2.50) (0.53)
ST FRAUD LN —0.0070 0.0038
(-1.04) (1.18)
ST LIT —0.01571%** —0.0037
(=2.79) (=0.97)
FIRM LN 0.0167 —0.0011
0.41) (-0.03)
Intercept 1.4139%* 0.0827
(2.76) 0.22)
IND_FE Yes Yes
YEAR_FE Yes Yes
STATE_FE Yes Yes
Adj. R? 0.31 0.32
N 36,078 36,078

Variable definitions are reported in Appendix 2. Coefficient estimates and #-statistics are given. The #-statistics
are based on standard errors clustered at the firm level (e.g., Petersen 2009). The statistical significance of the
estimates is denoted with asterisks: *#*, ** and * correspond to 1%, 5%, and 10% levels of significance,
respectively. The p-values are one-tailed for directional hypotheses and two-tailed otherwise

We find that the CORR_LN and CORRP_POP coefficients in the second-stage regres-
sion models are significantly negatively related to GAAP ETR (p <0.05), as shown in
Table 6 (Panel C). Consequently, H1 is supported by our IVs 2SLS regression results.

4.4.2 Propensity-score matching
We follow other studies in employing propensity-score matching (e.g., Armstrong et al.

2012; Lennox et al. 2013) as an additional endogeneity check of our baseline OLS
regression results, as shown in Table 5.
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We compute a firm’s propensity score by estimating a logit regression
model. We use a series of variables that capture the likelihood that the firm
will engage in corruption. We follow research by Buonanno (2003), Cahill and
Mulligan (2007), and Dong (2011) in using the following state-level variables:
income (ST _GDP_LN), social capital (SC_MEAN), employee wages
(ST WAGES LN), employee income (ST INCOME LN), education level
(ST BACHELOR LN and ST ADVANCED LN), and corporate activity
(FIRM _LN). Including these variables in our regression model should ensure
that there is a proper balance between the treated (high corruption) and un-
treated (low corruption) subjects in our matched sample (Austin 2011).

We construct a dummy variable, CORRUPT (coded as 1 if a firm is
headquartered in a state subject to greater than the median risk of committing
corruption offences, and 0 otherwise), which is used as the dependent variable in
the logit regression model to compute the propensity scores. Using the predicted
propensity scores from this logit regression, we then match the observations in the
treatment subjects (firm-year observations with CORRUPT equal to 1) to the
control subjects (firm-year observations with CORRUPT equal to 0). We follow
prior research and use the nearest-neighbor (with replacement) approach to per-
form the matching process (e.g., Heckman et al. 1997; Austin 2011), in which a
single control firm is matched, according to the closest propensity score.'”> We
then combine the matched pairs into a pooled sample and perform our OLS
regression analysis.

The regression results of the propensity-score matching are reported in Table 7.
For the first-stage logit model, we find that the coefficients for ST GDP LN,
SC_MEAN, ST WAGES LN, ST INCOME LN, ST BACHELOR LN,
ST ADVANCED LN, and FIRM LN are statistically significant (p <0.01), which
is consistent with prior studies (e.g., Buonanno 2003; Cahill and Mulligan 2007,
Dong 2011).

For the second-stage OLS regression results, we find that the CORR LN and
CORRP_POP coefficients are significantly negatively related to GAAP ETR
(p <0.01), indicating that a firm headquartered in a state with high levels of corruption
exhibits more tax avoidance. These empirical findings also support H1.

4.4.3 Alternative measures of corporate tax avoidance

We ensure that our results are robust by using CASH ETR, UTB, and SHELTER as
alternative measures of corporate tax avoidance.

CASH _ETR is the ratio of total income tax paid scaled by total pre-tax income net of
total special items (Dyreng et al. 2008). This variable measures the proportion of cash
tax paid in a given year, relative to a firm’s profit (Dyreng et al. 2008, 2010)."* As in
the work of Dyreng et al. (2010), lower CASH ETR values represent more tax
avoidance.

"2 In an additional analysis, we use kernel and radius matching, and find that our empirical results are
qualitatively similar to those reported in Table 7 (untabulated).

'3 The data required to compute CASH_ETR are missing, which reduces the number of firm-year observations
in our sample to 25,776. This is considerably fewer than the 36,078 firm-year observations for the full sample.
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Table 7 Regression results of propensity-score matching

Variable Model 1 Model 2

Panel A: First-stage logit regression model

ST GDP_LN 4.2445% %%
(12.60)
SC_MEAN 0.0968%***
(2.52)
ST WAGES LN 0.0000%**
(4.01)
ST INCOMEPER LN 0.0001#*%*
(7.49)
ST BACHOLAR LN 0.1618%**
9.12)
ST ADVANCEED LN —0.3687##*
(-8.20)
FIRM LN —3.8934#:%:%
(-8.47)
Intercept —23.7629%%*
(=5.17)
YEAR FE Yes
STATE FE Yes
Pseudo R? 0.091
N 22,751

Panel B: Second-stage OLS regression model

CORRP_LN —0.0034%#
(—2.63)
CORRP_POP —0.0037%#3*
(-2.73)
SIZE 0.0168%#* 0.0168*
(16.72) (16.72)
MTB —0.00] 2% —0.0012%3%
(-7.30) (-7.30)
LEV 0.0029 0.0029
0.77) (0.76)
CASH —0.0045% —0.0046*
(—1.33) (—1.34)
ROA 0.0199%% 0.0199%
8.21) (8.20)
NOL —0.0784%* —0.0784 %
(—18.81) (—18.81)
ANOL —0.0055%* —0.0055%%
(-3.29) (-3.31)
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Table 7 (continued)

Variable Model 1 Model 2
FI 0.0656 0.0661
(1.02) (1.02)
CAPINT —0.0079 —0.0078
(-0.64) (—0.64)
RDINT 0.00007%** 0.00007%**
(2.83) (2.81)
EQINC —0.7947* —0.7874*
(—1.51) (—1.50)
ST GDP_LN 0.0322 0.0387
(0.79) (0.94)
ST FRAUD LN —0.0071 —0.0076
(-1.22) (-1.30)
ST LIT 0.0101%* 0.0105%*
(2.01) (2.10)
FIRM LN —0.0336 —0.0387
(-0.54) (—0.62)
INTERCEPT 0.0109 —0.0141
(0.02) (=0.03)
IND FE Yes Yes
YEAR FE Yes Yes
STATE FE Yes Yes
Adj. R? 0.255 0.255
N 22,598 22,598

Variable definitions are reported in Appendix 2. Coefficient estimates and #-statistics are given. The #-statistics
are based on standard errors clustered at the firm level (e.g., Petersen 2009). The statistical significance of the
estimates is denoted with asterisks: ***, ** and * correspond to 1%, 5%, and 10% levels of significance,
respectively. The p-values are one-tailed for directional hypotheses and two-tailed otherwise

UTB is computed as the natural logarithm of total uncertain tax benefits (UTBs) that
a firm accrues, following FIN48 Accounting for Uncertainty in Income Taxes."* UTBs
represent anticipated future disallowed tax benefits and are recorded as a liability in a
firm’s financial statements. UTBs are considered to be a proxy for risky tax planning
and a firm’s overall level of tax avoidance (Rego and Wilson 2012; Lisowsky et al.
2013). We compute UTB at the end of the year scaled by beginning-of-year total assets.
Following Rego and Wilson (2012), higher values of UTB indicate more tax avoidance.

SHELTER is calculated based on Wilson’s (2009) tax shelter model, used to
examine firm-level characteristics regarding tax sheltering. Wilson (2009) estimates a

4 FIN48 Accounting for Uncertainty in Income Taxes is classified as Accounting Standards Codification
(ASC) 740-10-25 under the FASB’s new codification for U.S. GAAP. It was introduced by the FASB to
provide financial statement users with information about the uncertainties a firm confronts in computing its tax
liability estimates (FASB 2006). FIN48 applied from December 15, 2006, which reduces the number of firm-
year observations in our sample to 9780, which is significantly lower than the 36,078 firm-year observations
for the full sample.
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logit regression of a binary variable (SHELTER =1 or 0) on a series of independent
variables (book-tax differences, discretionary accruals, leverage, total assets, return on
assets, foreign pre-tax income, and R&D) that likely relate to tax sheltering. Although
Wilson’s (2009) model may generate noisy (out-of-sample) estimates, it is a satisfac-
tory measure of corporate tax avoidance, according to the literature (e.g., Hoi et al.
2013). We consider a firm to take part in tax sheltering when the predicted shelter
probabilities are in the top quintile of the distribution (see Appendix 1 for details).
Consistent with Wilson (2009), higher values of SHELTER denote more tax avoidance.

Our regression results using these alternative measures of corporate tax avoidance are
shown in Table 8. We find that the coefficient for CORRP_LN is significantly negatively
(positively) related to CASH _ETR (UTB and SHELTER) (p < 0.05). We also find that the
coefficient for CORRP_POP is significantly negatively (positively) related to CASH ETR
(SHELTER) (p < 0.05). These results show that a firm headquartered in a state with greater
corruption is more likely to avoid taxes. H1 is therefore further supported.

4.4.4 Omitting financial and utility firms from the sample

As our final robustness check, we re-estimate our baseline regression model (see Eq. (1))
after omitting financial (FF5) and utilities firms (FF11) from our sample, due to the federal
government mandate regarding the liquidity levels required for these firms (Smith 2016).
The regression results are presented in Table 9. We find that the CORR LN and
CORRP _POP coefficients are significantly negatively related to GAAP_ETR across
various regression models (p <0.01). These results show that a firm located in a state

Table 8 Ordinary least squares (OLS) regression results — alternative measures of corporate tax avoidance

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6
CASH_ETR UTB SHELTER  CASH ETR UTB SHELTER
Variable OLS cluster OLS cluster LOGIT OLS cluster OLS cluster LOGIT
cluster cluster
CORRP_LN —0.0022%*  0.0003%* 0.0453%%*
(-2.04) (1.83) (2.22)
CORRP_POP —0.0028%** 0.0002 0.03527%*
(—2.40) (1.04) (1.67)
ALL CONTROLS Yes Yes Yes Yes Yes Yes
Intercept 0.3369 —0.0740  —14.6867*** 0.3221 —0.0747  —14.7780%***
(0.98) (—0.39) (-2.76) (0.94) (-0.39) (=2.77)
IND FE Yes Yes Yes Yes Yes Yes
YEAR_FE Yes Yes Yes Yes Yes Yes
STATE FE No No No Yes Yes Yes
Adj. R? / Pseudo R? 0.214 0.129 0.196 0.214 0.129 0.196
N 30,634 12,403 42,231 30,634 12,403 42,231

Variable definitions are reported in Appendix 2. Coefficient estimates and #-statistics are given. The z-statistics
are based on standard errors clustered at the firm level (e.g., Petersen 2009). The statistical significance of the
estimates is denoted with asterisks: ***, ** and * correspond to 1%, 5% and 10% levels of significance,
respectively. The p-values are one-tailed for directional hypotheses and two-tailed otherwise
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with high levels of corruption engages in higher levels of tax avoidance. Therefore, H1 is
also supported by the regression results when financial and utility firms are excluded.

4.5 Additional analysis—Effects of state-level variables

In additional analysis, we examine the relationship between corruption and tax avoidance in
terms of state-level variables for corporate governance (CG), social capital (SC), money
laundering (ML), and litigation risk (LR). We generate subsets of firms headquartered in
states with higher (greater than the median) or lower (less than the median) values for these
characteristics. We establish CG through the corporate governance index of Gompers et al.
(2003) for firms headquartered in each state and year. We construct a dummy variable,
coded as 1 if corporate governance at the state level is greater than the median, and 0
otherwise. We follow Jha and Chen (2015) and Jha and Cox (2015), and collect data on SC
for each state and year from the U.S. census data. A dummy variable is constructed, coded as
1 if state-level social capital is greater than the median, and 0 otherwise. The ML data are
from the DOJ (2014), which reports money laundering sentences for each state and year
since 1995. ML is measured as the total number of money laundering convictions reported in
a firm’s headquarters state scaled by the total state population. Following Gong et al. (2009),
we deem firms to have high levels of LR if they belong to the industry sectors of
biotechnology (SIC 2833-2836), computer hardware (SIC 3570-3577), electronics (SIC
3600-3674), retailing (SIC 5200-5961), and computer software (SIC 7371-7379). We
construct a dummy variable, coded as 1 if the state-level litigation risk is greater than the
median state-level litigation, and 0 otherwise. The state mean litigation risk over the sample
period is depicted as Fig. 3.

Table 10 reports the regression results of the effects of the state-level variables. We
find that the CORRP LN coefficient is significantly negatively related to GAAP_ETR
for the subset of firms headquartered in states with high and low levels of CG (p <0.10

\__V,,.'V "’

State Mean Litigation Risk

[ [}
Fig. 3 State mean litigation risk over from 1998 through 2014
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374 Are corruption and corporate tax avoidance in the United States...

or better), while the CORRP_POP coefficient is significantly negatively related to
GAAP_ETR for firms headquartered in states with low levels of CG (p <0.01). We
observe that the CORRP LN coefficient is significantly negatively related to
GAAP_ETR for firms headquartered in states with high and low levels of SC
(p<0.01), and the CORRP_POP coefficient is significantly negatively related to
GAAP_ETR for firms headquartered in states with high levels of SC (p <0.01). We
find that the CORRP LN coefficient is significantly negatively related to GAAP_ETR
for the subset of firms headquartered in states with high and low levels of ML
(p<0.01), while the CORRP_POP coefficient is significantly negatively related to
GAAP_ETR for the subset of firms headquartered in states with high levels of ML
(p <0.05). Finally, we find that the coefficients for CORRP_LN and CORRP _POP are
significantly negatively related to GAAP_ETR for the subset of firms headquartered in
states with low levels of LR (p <0.01).

Overall, these results show that corruption is in general positively related to corpo-
rate tax avoidance, regardless of whether a state has high or low levels of corporate
governance, social capital, or money laundering. It is significantly positively related to
corporate tax avoidance in states that have a low risk of litigation.

4.6 Additional analysis—Firm-level corruption

Smith (2016) finds that U.S. firms attempt to insulate themselves from corruption by holding
less cash or other liquid investments that could be extorted by corrupt local officials (the
“shielding hypothesis”). However, he finds no evidence to suggest that these firms are
complicit in corruption (the “liquidity hypothesis™). DeBacker et al. (2015) nevertheless find
that firms with owning board members from more corrupt cultures are more likely to avoid
corporate taxes. Our results extend these findings by identifying the channel through which
state-level corruption leads to firm tax avoidance. Nevertheless, unlike Smith (2016), we
find that the environment helps determine whether a firm behaves improperly.

We develop two separate measures of firm corruption (dummy variables) and then
interact them with our state-level measures of corruption: (1) the presence of directors
on the board who originate from countries deemed to be corrupt (referred to as a corrupt
director mix), and (2) the occurrence of financial restatements by a firm. We follow
DeBacker et al. (2015) in using the annual Corruption Perceptions Index (CPI),
published by Transparency International, as our main measure of the corruption of
board members in their home country. Countries with high levels of corruption have
lower CPI scores.'> A corruption index is assigned to the board of directors of each firm
in our sample, based on the origin of the directors and a weighted average score is
computed based on the various countries of origin of the directors.

We first collect CPI data for all countries between 1998 and 2014, inclusive. The
CPI data are matched with the directors’ nationalities obtained from the BoardEx
database.'® We obtain 24,000 firm-year observations after the matching. As BoardEx

3 CPI is a country-based corruption index beginning in 1995 (41 countries) and ending in 2014 (175
countries). Refer to https://www.transparency.org

16 We use three databases from BoardEx to match a director’s name, identification, and nationality as well as a
firm’s ticker and year. We use: (1) the Individual Profile Detail database to obtain a director’s name,
identification and nationality, (2) the Organization Summary-Analytics database to obtain a firm’s ticker,
and (3) the Annual Remuneration database to obtain the year.
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does not provide a GVKEY, we match the 24,000 observations based on year and
ticker with our other state- and firm-level data. The sample is then reduced to 16,992
observations, which represents 47% of our original sample.'” We follow the imputation
approach by replacing missing observations using a two-step procedure (Kofman and
Sharpe 2003; Brochet et al. 2019). First, if firms have a CPI score of 1 or more, we
replace any firm-year observations that have missing CPI data with the mean CPI score
of that firm, as it is unlikely that specific board compositions will radically change over
short periods. Second, if a firm is not assigned a CPI score, we replace it with the mean
CPI score of that industry and year. The regression results are shown in Table 11.

Table 11 (Panel A) provides the results of our model that uses the dataset of firm-
year observations (36,078) with the missing values relating to CORR _NAT replaced
(using the imputation approach). In all of the models shown, we divide our sample into
high and low, depending on whether CORR _NAT is greater or lower than the sample
mean (see Table 11, Panel A). Table 11 (Panel B) presents the results of our model that
draws on the dataset of firm-year observations (16,992) without the replacement of
missing values relating to CORR_NAT. The difference between our CPI mean without
replacement (4.15) and with replacement (4.10) is not statistically significant (z-statis-
tic=0.1462).

Table 11 (Panel A) in Models 1 and 3 presents the OLS without state variables, and our
independent variables are CORRP LN and CORRP_POP, respectively. In Models 2 and 4,
we use OLS regressions with state-level variables, and our independent variables are
CORRP _LN and CORRP_POP, respectively. In Models 1 and 3, we find that firms with
directors that exhibit higher levels of corruption (CORR NAT) have lower GAAP ETRs
(p <0.10 or better). Directors exhibiting high levels of corruption reduce corporate taxes, but
for those with low levels, the result is not statistically significant. This is consistent with the
findings of DeBacker et al. (2015), who observe that firms with more corrupt directors
(based on their countries of origin) exhibit more tax evasion.

Further, in Table 11 (Panel B), we repeat our empirical analysis and obtain results
qualitatively similar to those shown in Table 11 (Panel A). These results indicate that
firms with a more corrupt board of directors in a more corrupt state have lower
GAAP_ETRs. We therefore find an effect of the composition of the board of directors
on tax avoidance at the firm level when firms are headquartered in a more corrupt state,
so the country of origin of members of the board is not the only factor that induces
firms to misbehave. A combination of directors’ upbringings and the environment in
which they operate appears to drive firms to engage in higher levels of tax avoidance.

Our results suggest that state-level corruption can spill over to affect a firm’s tax
compliance when the director mix of the firm makes it potentially more corrupt. We
also find that our results are not necessarily aligned with Smith’s (2016) shielding or
liquidity hypotheses. Smith (2016) argues that firms respond to environmental threats
that can lead to the soliciting of bribes or extortion from public officials or other
potential rent-seeking, by shielding their assets. Firms headquartered in more corrupt
states may attempt to insulate themselves from corruption by holding less liquidity, as
this could be extorted by corrupt local officials. However, Smith (2016) does not show

17 Brochet et al. (2019) find that information on nationality is missing from a large proportion (i.e., more than
70%) of their sample. They state that nationality can be altered for naturalized managers, adding measurement
error to the capture of cultural influence.
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that the firms are complicit in the corruption, so the presence of more potentially
corrupt board members may not inevitably lead to an increase in corporate tax
avoidance, and it may even diminish if these individuals strive to be tax-compliant.
However, in states where legal enforcement is weaker (as reflected by higher levels of
corruption and possibly lower risk of litigation), a more potentially corrupt board may
be further motivated or have more opportunities to avoid corporate taxes.

We next explore the potential relationship between financial restatements (RESTATE),
which occur in around 4% of our sample, and the interaction term between RESTATE and
our state-level measures of corruption to GAAP_ETR."® We construct a dummy variable,
coded as 1 if a firm records a financial restatement, and 0 otherwise. Our regression results
are shown in Table 12. We find that firms with financial restatements have higher levels of
tax avoidance, as reflected by lower GAAP_ETRs. Interacting each of our measures of state-
level corruption (CORRP_LN and CORRP_POP) with RESTATE (CORRP _LN*RESTATE
or CORRP POP*RESTATE) leads to the coefficients for the interaction terms being
negative and significant (generally at p < 0.10). These results suggest that firms which have
financial restatements and are located in more corrupt states have lower GAAP_ETRs.
Finally, these results indicate that firms are more likely to carry out corporate tax avoidance
if they are not only located in more corrupt states, but also exhibit firm-level evidence of
corruption (i.e., through financial restatements).

Finally, the relationship between corruption and corporate tax avoidance could also
vary across sectors (Bame-Aldred et al. 2012; DeBacker et al. 2015), so we analyze the
relationship between state-level corruption (CORRP _LN) and corporate tax avoidance
across the FF12 industry sectors. Table 13 presents our results. We find a significant
negative relationship between CORRP_LN and GAAP_ETR (p <0.10 or better) for the
sectors of consumer durables, petroleum, utilities, finance, and other industries, which
provides more evidence that corruption and corporate tax avoidance is complementary
across different industry sectors.

5 Conclusion

We examine the relationship between state-level corruption and corporate tax avoid-
ance in the U.S. We find that corruption is significantly positively related to tax
avoidance. Our main finding is robust to several auxiliary checks. We find from an
additional analysis at the state level that corruption is significantly positively related to
corporate tax avoidance in states that have low levels of litigation risk, regardless of
whether these states have high or low levels of corporate governance, social capital, or
money laundering. We also correlate state and firm level corruption with firm-level tax
avoidance, and find that their interaction terms are generally significantly positively
related to corporate tax avoidance. Finally, we observe that corruption and corporate
tax avoidance are complementary across different industry sectors.

18 We also use the existence of an AAER securities violation as another measure of firm-level corruption,
which is denoted by a dummy variable, coded as 1 if there is a violation, and 0 otherwise. Our results are
consistent with RESTATE in that the interaction term between AAER and each of our measures of state-level
corruption is significant and negative (p < 0.01) (untabulated), showing that firms headquartered in more
corrupt states have a greater propensity to avoid taxes, particularly when they have a recorded AAER
violation.
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Table 12 Ordinary least squares (OLS) regression results — accounting restatements

Model 1 Model 2 Model 3 Model 4
Variable OLS With state-level variables
CORRP_LN —0.0343 —0.0344
(-1.57) (-1.54)
RESTATE —0.04507%:* —0.044 3% —0.0454 %k —0.0581 sk
(—4.92) (—4.72) (—4.97) (—6.22)
CORRP_LN*RESTATE —0.0053* —0.0052*
(=1.72) (—1.68)
CORRP_POP —0.5733 —0.1367%**
(-1.61) (—2.63)
CORRP_LN*RESTATE —0.0924* —0.0148
(-1.74) (—0.28)
SIZE 0.0227%##* 0.0227%#* 0.0227#:#* 0.0227%#*
(38.16) (38.17) (38.11) (39.04)
MTB —0.00073:* —0.00073* —0.0007##:* —0.0008?#
(=5.36) (=5.36) (=5.38) (—5.68)
LEV —0.0083 % —0.0083#:#:# —0.0082 7% —0.0085%**
(—6.03) (-6.02) (=5.96) (—6.16)
CASH —0.0034 —0.0035 —0.0034 —0.0041°*
(-1.42) (-1.42) (—1.40) (—1.68)
ROA —0.00007##* —0.00007%*%* —0.00007%#* —0.00007%**
(—2.80) (—2.80) (-2.83) (=3.27)
NOL —0.04827%:## —0.048 133 —0.04797%#:* —0.051 8z
(—13.08) (-13.07) (=12.96) (-14.35)
ANOL 0.00007%* 0.0000°%* 0.00007%: 0.00007%*
(2.20) (2.21) (2.18) (2.48)
FI 0.0482%* 0.0481%* 0.0481°* 0.0492%*
(1.78) (1.78) (1.78) (1.80)
CAPINT —0.0081 —0.0081 —0.0083 —0.0088
(-1.50) (-1.50) (-1.53) (-1.63)
RDINT 0.00007%#%* 0.00007%#* 0.00007%#* —0.0000
(3.23) (3.23) (3.53) (=0.78)
EQINC —0.1116 —-0.1106 —-0.1035 —0.1491
(-0.29) (-0.29) (=0.27) (-0.39)
St GDP_in 0.0659 —0.0561 %
(1.38) (=3.46)
St Fraud In —0.0066 0.0158##*
(-0.74) (3.62)
LIT 0.0020 0.0020%*
(0.43) (2.35)
NO_Firm_In —0.0414 0.0344%*
(=0.53) (1.88)
Intercept 0.4326%:#:* 0.43907%#* 0.1773 0.5076%#*
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Table 12 (continued)

Model 1 Model 2 Model 3 Model 4
Variable OLS With state-level variables
(17.41) (16.26) (0.31) (9.36)
YEAR FE YES YES YES YES
IND FE YES YES YES YES
STATE FE YES YES YES YES
Adj. R? 0.29 0.29 0.29 0.28
N 10,812 10,812 10,810 10,810

Variable definitions are provided in Appendix 2. Coefficient estimates with #-statistics in brackets are shown.
The t-statistics are based on standard errors clustered at the firm level (e.g., Petersen 2009). The statistical
significance of the estimates is denoted with asterisks: ***, ** and * correspond to 1%, 5%, and 10% levels of
significance, respectively. The p-values are one-tailed for directional hypotheses and two-tailed otherwise

Our study makes several contributions. First, it reports a strong positive relationship
between state-level corruption and corporate tax avoidance. To the best of our knowl-
edge, we are the first researchers to empirically test this relationship. The study extends
prior research by exploring the broad state-level cultural effects of a firm’s headquarters
location on its tax avoidance. We also identify significant links between corruption
norms and tax avoidance. We also extend the research of DeBacker et al. (2015) by
investigating corporate tax avoidance, which can be legitimate (unless blatantly ag-
gressive), and is distinct from corporate tax evasion, which is illegal (Hanlon and
Heitzman 2010). Further, we extend the findings of DeBacker et al. (2015) by
identifying the channel through which state-level corruption can lead to firm-level
tax avoidance, and find that both state- and firm-level corruption are key drivers of
corporate tax avoidance. We also extend the research of Smith (2016) by showing that
the social environment helps determine whether a firm behaves improperly. We offer
the unique finding that, at the state level, corruption is significantly positively related to
corporate tax avoidance in states with low levels of litigation risk. Our evidence shows
that by increasing the level of legal enforcement (litigation risk), the relationship
between corruption and tax avoidance is moderated. We also construct two measures
of a firm’s likelihood of engaging in corruption, based on the frequency of corruption
convictions in the state in which a firm is headquartered by year, which has various
advantages. A proven case of corruption is an actual event, distinct from an estimate of
earnings management, tax accruals quality, or disclosure of material accounting re-
statements as evidence of fraudulent or manipulative accounting. We directly measure
corruption and show that a firm that has its headquarters in a state with a high level of
corruption is more likely to avoid taxes. Our study also contributes to research
exploring the effects of a firm’s involvement in illicit activities on corporate tax
planning (e.g., DeBacker et al. 2015) and is one of the few studies to examine the role
of a firm’s headquarters environment on corporate tax behavior. As corruption can
distort effective managerial decision-making and planning, and lead to resource misal-
location and substantial increases in business costs (Dass et al. 2016), this issue is
particularly important. Finally, we provide valuable insights for tax authorities, law
enforcement agencies, policymakers, and regulators.
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Appendix 1
Examples of Public Corruption

Corruption is a crime that involves the abuse of public trust by government
officials. A successful public corruption prosecution requires both the appear-
ance and the reality of fairness and impartiality. Corruption sentencing requires
that the public perception is that the conviction was warranted and is not the
result of improper motivation by the prosecutor and is free of conflicts of
interest. In cases when local conflict of interest is substantial, the local office
is removed from the case by a procedure called recusal, which is one of several
categories of corruption. A second category is allegations. Examples of allega-
tions are as follows.

+ Bill Allen, CEO and part-owner of VECO Corporation, and Richard Smith, vice
president of community affairs and government relations, VECO Corporation,
pleaded guilty to providing US$400,000 in corrupt payments to Alaska State
Legislative officials.

* Thomas Anderson, former member of the Alaska State House of Representatives,
was sentenced to prison after his conviction for extortion, conspiracy, bribery, and
money laundering.

Another category of corruption covers fraud, bribery and extortion. Examples are as
follows.

* Robert W. Ney, former congressman, was sentenced to 30 months of imprisonment
following his plea of guilty for multiple offenses, including honest services fraud
and false statements.

« J. Steven Griles, the former deputy secretary of the Department of the Interior, was
sentenced to 10 months’ imprisonment and a US$30,000 fine after his plea of guilty
to obstruction.

* Lobbyist Neil Volz, who served as chief of staff for former Congressman Robert
Ney, was sentenced to two years of probation and a US$2000 fine following his
plea of guilty to conspiracy to commit honest services fraud and violation of his
one-year lobbying ban.

» Peter Kott, former Alaska state representative, was sentenced to prison following
his conviction for bribery, extortion, and conspiracy for corruptly soliciting and
receiving financial benefits from a firm in exchange for performing official acts.

Public corruption cases are often controversial, complex, and highly visible.

@ Springer



384 Are corruption and corporate tax avoidance in the United States...

Appendix 2

Variable Definitions and Measurement

Variables Definition and measurement Data source

Dependent Variable

GAAP_ETR = Total income tax expense scaled by Compustat
pre-tax book income less special
items. Negative pre-tax book income
values are retained in the calculation
of GAAP_ETR;. We truncate
GAAP_ETR; to the range [0, 1]

CASH ETR = Total income tax paid scaled by total Compustat
pre-tax income net of total special
items

UTB = Total unrecognized tax benefits for firmi Compustat

at the end of year t scaled by total
assets at the beginning of year t

The Wilson (2009) sheltering probability Compustat
equation is estimated as follows.

SHELTER

SHELTER PROB;;=—4.86+5.20 x
BTD; +4.08 x DA, - 0.41 x LEV, +
0.76 x ATy +3.51 X ROA; + 1.72 ¥
FOREIGN INCOME;  + 2.43 x R&D;,

where SHELTER PROB;, is the
sheltering probability for firm i in year
t, BTD is the book-tax difference
measure as defined by Kim et al.
(2011), DA is discretionary accruals
from the performance-adjusted
modified cross-sectional Jones Model,
LEV is firm leverage, AT is the log of
total assets, ROA is return on assets,
FOREIGN INCOME is a dummy
variable, coded as 1 for firm-years that
report foreign income, and 0
otherwise, and R&D is research and
development expense. Following Kim
et al. (2011), we define BTD as book
income less taxable income scaled by
lagged total assets (AT). Book income
is pre-tax income (P/). Taxable
income is calculated by summing
current federal tax expense (ZXFED)
and current foreign tax expense
(TXFO) and dividing by the statutory
tax rate and then subtracting the
change in NOL carryforwards
(TLCF). If current federal tax expense
is missing, total current tax expense is
calculated by subtracting deferred
taxes (TXDI), state income taxes
(TXS), and other income taxes (7XO)
from total income taxes (7X7).
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Variables

Definition and measurement

Data source

Independent Variables

CORRP_LN

CORRP_POP

Control Variables
SIZE

MTB

LEV

CASH

ROA

NOL

ANOL

FI

CAPINT

RDINT

EQINC

ST _GDP_LN

ST FRAUD LN

ST LIT

Following Rego and Wilson (2012),
we rank SHELTER PROB each year
and create a dummy variable to
capture those firms that have a high
sheltering probability. SHELTER is a
dummy variable, coded as 1 if a firm’s
estimated sheltering probability is in
the top quartile in that year, and 0
otherwise.

Natural logarithm of the total crime
reported by the DOJ for each state and
year

Corruption cases reported for each state
and year scaled by the natural
logarithm of state population for each
state and year

Natural logarithm of the market value of
equity at the beginning of a year

Market value of equity scaled by the
book value of equity

Long-term debt scaled by lagged total
assets

Cash and marketable securities scaled by
lagged total assets

Operating income scaled by lagged total
assets

Dummy variable, coded as 1 if loss
carryforward is positive as of the
beginning of the year, and 0 otherwise

Change in loss carries forward scaled by
lagged total assets

Foreign income scaled by lagged total
assets. Missing values are set to 0

Property, plant, and equipment scaled by
lagged total assets

Research and development expense
scaled by lagged total assets. Missing
values are set to 0

Equity income in earnings scaled by
lagged total assets

Natural Logarithm of state gross
domestic product

Natural Logarithm of state total fraud
cases sentenced by the USSC

Literacy rate by total higher education
(Masters and higher) in each state

Depart of Justice: Report to Congress
on the Activities and Operations

of the Public Integrity Section

https://www justice.gov/

https://www justice.gov/

Compustat
Compustat
Compustat
Compustat
Compustat

Compustat

Compustat
Compustat
Compustat

Compustat

Compustat

United States Census Bureau
https:/www.census.gov

USSC
https://www.ussc.gov

https://www.census.gov
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Variables Definition and measurement Data source
FIRM LN = Natural logarithm of the number of firms https://www.census.gov
in each state
YEAR = Year dummy variables to control for year Compustat
effects
IND = FF12 industry dummy variables to Compustat
control for industry effects
STATE = State relocation Brushwood et al. (2016) https:/sraf.

Variables for Additional Analysis

ST _CORR_MEAN
CORRUPT

SC_MEAN
ST WAGES LN

ST INCOME_LN
ST BACHELOR LN
ST ADVANCED LN

Ne

CcG

ML

LR

RESTATE

CORR _NAT

@ Springer

Mean level of corruption for each state

Dummy variable, coded as 1 if firms are
headquartered in a state subject to
greater than the median risk of
committing corruption offenses, and 0

otherwise

Mean number of environmental

sentences in each state

Natural logarithm of state-level

employee wages

Natural logarithm of total state-level

wages and salaries

Natural logarithm of the number of

bachelor’s degrees

Natural logarithm of the number of

master’s degrees

Dummy variable, coded as 1 if state-level
social capital is greater than median
state-level social capital, and 0

otherwise

Dummy variable, coded as 1 if state-level
corporate governance is greater than
median state-level corporate
governance, and 0 otherwise

Total number of money laundering
sentences reported in a firm’s
headquarters state scaled by the total
state population for that state

Dummy variable, coded as 1 if the
state-level litigation risk is greater than
the median state-level litigation risk,

and 0 otherwise

Dummy variable, coded as 1 if the firm
has an accounting restatement, and 0

otherwise

The CPI scores ranks countries/territories
based on how corrupt a country’s
public sector is perceived to be. This
is a composite index, a combination of
surveys and assessments of corruption
that are collected by a variety of

reputable institutions

nd.edu/data/

https://www.ussc.gov

https://www.ussc.gov

https://www.ussc.gov

https://www.census.gov
https://www.census.gov
https://www.census.gov
https://www.census.gov

https:/www.census.gov

Gompers Governance Index Data by
Firm from Andrew Metrick
website: https://faculty.som.yale.
edu/andrewmetrick/data/

https://www.ussc.gov

Compustat

Audit Analytics

WWW.transparency.org.
and BoardEx
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Variables Definition and measurement Data source

POLICEPROEXP_LN

Natural logarithm of police protection  Justice Expenditure and Employment
expenditures for each state and year. Extracts Program
Police protection expenditures are https://www.bjs.gov
total direct expenditure + direct
current + capital outlay +
intergovernmental expenditure.

JUSTICESYE EXP LN = Natural logarithm of total justice system https://www.bjs.gov
expenditures for each state and year.
Total justice system expenditures are
total direct expenditure + direct
current + capital outlay +
intergovernmental expenditure
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