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Abstract In this paper, we consider an MX/M/1/SET-VARI queue which has batch
arrivals, variable service speed and setup time. Our model is motivated by power-aware
servers in data centers where dynamic scaling techniques are used. The service speed
of the server is proportional to the number of jobs in the system. The contribution of
our paper is threefold. First, we obtain the necessary and sufficient condition for the
stability of the system. Second, we derive an expression for the probability generating
function of the number of jobs in the system. Third, our main contribution is the
derivation of the Laplace—Stieltjes transform (LST) of the sojourn time distribution,
which is obtained in series form involving infinite-dimensional matrices. In this model,
since the service speed varies upon arrivals and departures of jobs, the sojourn time of
atagged job is affected by the batches that arrive after it. This makes the derivation of
the LST of the sojourn time complex and challenging. In addition, we present some
numerical examples to show the trade-off between the mean sojourn time (response
time) and the energy consumption. Using the numerical inverse Laplace—Stieltjes
transform, we also obtain the sojourn time distribution, which can be used for setting
the service-level agreement in data centers.
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1 Introduction

In this paper, we consider a single-server queue with batch Poisson arrivals, variable
service speed and setup time. Our model is motivated by power-aware servers in
data centers [9,10,17]. The CPU of a server is able to process at multiple speeds by
using either frequency scaling [13] or dynamic voltage and frequency scaling (DVFES)
techniques [11,15]. In recent years, CPUs with variable speed have become popular
because they can save energy consumption while keeping acceptable response time
for jobs. The server can automatically adjust its speed according to the workload in
the system. By doing so, the power consumption is small at low workload and is large
at high workload.

In this paper, we assume that jobs arrive at the system in batches according to a
Poisson process and that the arrival process is independent of the state of the sys-
tem. The service requirement of each job in a batch is independently and identically
distributed (i.i.d.) with an exponential distribution. The service speed of the server is
instantaneously adapted according to the number of jobs in the system. In particu-
lar, the service rate of the server is proportional to the number of jobs in the system.
Furthermore, the server is turned off immediately after becoming empty in order to
save energy consumption. At the moment when a batch arrives at an empty system,
the OFF server is turned on. However, some exponentially distributed setup time is
needed in order to reactivate the OFF server. We call the above queueing model the
MX/M/1/SET-VARI queue where SET and VARI stand for setup and variable service
rate, respectively.

The contribution of this paper is threefold. First, we obtain the necessary and suf-
ficient condition for the existence of the unique stationary queue length distribution,
which we call the stability condition hereafter. We show that the stability condition
of our model is that the logarithmic moment of the batch size is finite. Interestingly,
the system can be stable even if the mean batch size is infinite. Second, we derive the
probability generating function (PGF) of the number of jobs in the system. It should
be noted that the number of jobs in the system of our model is identical to that of the
MX/M/oo queue with setup time, which to the best of our knowledge has not been
investigated in the literature. Third, we derive the Laplace—Stieltjes transform (LST)
of the sojourn time distribution, which is obtained in series form involving infinite-
dimensional matrices. The derivation of the sojourn time distribution is challenging
because the sojourn time of a tagged job depends on not only the state of the system
upon arrival but also on the batches arriving after it. Therefore, the sojourn time distri-
bution cannot be obtained directly from the PGF of the queue length distribution via
the distributional Little’s law [8].

Our model extends the one proposed by Lu et al. [9] in which an M/M/1/SET-VARI
queue was considered. In [9], the solution in terms of infinite series was presented for
the stationary queue length distribution. From the queue length distribution, the mean
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response time is obtained via Little’s law and the mean power consumption is obtained.
These metrics are used in [9] to find the energy-response trade-off. However, the
sojourn time distribution was not considered in [9]. Baba [2] considered the MX/M/1
queue with setup time where the processing speed of the server is fixed. He derived the
PGF of the number of jobs in the system and the LST of the sojourn time distribution.
Adan and D’ Auria [1] considered a single-server queueing system where jobs arrive
according to a Poisson arrival stream, the service requirements of jobs follow the
exponential distribution with mean 1 and the service rate of the server is controlled
by a threshold. They derived the stationary distribution of the number of jobs in the
system and the LST of the sojourn time distribution in explicit form. The sojourn time
distribution of our model is derived using first-step analysis, which is also adopted by
Adan and D’ Auria [1]. The difference is that the underlying Markov chain in Adan
and D’ Auria [1]is homogeneous after a threshold, while our underlying Markov chain
is spatially nonhomogeneous. As a result, the former allows explicit expression while
our formulae involve inverse mappings of infinite matrices.

The remainder of this paper is organized as follows: In Sect. 2, we describe the
MX/M/1/SET-VARI queue in detail. In Sect. 3, we derive the stability condition. In
Sect. 4, we derive the PGF of the number of jobs in the system in an integral but
computable form. In Sect. 5, we derive the LST of the sojourn time distribution. In
Sect. 6, we present numerical experiments showing the energy-performance trade-
off and the sojourn time distribution by numerically inverting the Laplace—Stieltjes
transform. Finally, in Sect. 7, we present the conclusion of this paper and future work.

2 Model

In this section, we describe our queueing model, the MX/M/1/SET-VARI queue, in
detail. The MX/M/1/SET-VARI queue has a single-server operating under the FCFS
(First Come First Served) service discipline and an infinite buffer space. Batches of
jobs arrive at the system according to a Poisson process with rate . The numbers of
jobs in batches are i.i.d., where X is the batch size with distribution x; = P(X = i)
fori € N:={l,2,...} and the PGF (Probability Generating Function) is denoted by
X(2) 1= Yoy 12

The special feature of our model is that the service speed of the server is proportional
to the number of jobs in the system. In particular, the service rate is nu, provided that
the number of jobs in the system is n. This is equivalent to the following assumption:
The service requirements of jobs are i.i.d. with exponential distribution with mean
1. The basic speed of the server when there is one job in the system is given by
u € (0,00). When there are n jobs in the system, the speed of the server is scaled
up to nu. Thus, when there are n jobs in the system, the residual sojourn time of
the ongoing job follows the exponential distribution with mean (nu)~! due to the
memoryless property of exponential distributions.

In order to save energy, the server is turned off immediately if the system becomes
empty upon a service completion. Furthermore, when a batch arrives at the empty
system, the server is turned on. However, the server needs some setup time before
it can process jobs. Therefore, if a batch arrives at the empty system, it has to wait
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Fig. 1 Transition diagram of the case x| +xp =1

until the setup time finishes. We assume that the setup time follows the exponential
distribution with mean o ~!. During the setup time, the server cannot serve a job but
consumes energy.

Let I (¢) and N (¢) denote the state of the server and the number of jobs in the system,
respectively, at time . When the server is off or in the setup process, /(1) = 0, and
when the server is processing a job, I (#) = 1. In the current setting, the joint stochastic
process {Z(¢) := (I(t), N(t)); t > 0} is an irreducible continuous-time Markov chain
with state space . = {(0, j); j € Z+}U{(, j); j € N}, where Z, := {0} UN. We
assume that x; > 0 so that the Markov chain {Z(¢)} is irreducible. Figure 1 shows the
state transition diagram of this Markov chain for a special case where the maximum
batch size is two.

Remark 1 As mentioned in Sect. 1, the PGF of the number of jobs in the system of the
MX/M/1/SET-VARI queue is identical to that of the MX/M/oc queue with setup time.
However, the sojourn time distributions of these two models may be different because
the sojourn time distribution of a tagged job of the latter is determined upon its arrival,
while that of the former is affected by future arrivals. Some researchers have studied
the MX /M/oo queue without setup time. For example, Shanbhag [14] derived moment
generating functions of some performance measures, for example, the number of jobs
in the system and the sojourn time. Cong [3] derived the stability condition.

3 The stability condition

In this section, we derive the stability condition of our model. Because {Z(¢); r > 0}
is an irreducible and regular Markov chain, {Z(¢)} is positive recurrent if and only if
a unique stationary distribution exists.

It follows from Theorem 1 that the stability condition of the M*/M/1/SET-VARI
queue is that the logarithmic moment of the batch size is finite. Cong [3] derived the
same stability condition for the special case of the M*/M/oo queue without setup
time. The addition of the setup time does not change the stability of the system. This is
intuitively clear because the effects of setup times disappear when the system is under
heavy load (i.e., large number of jobs present).

It should be noted that the proof of Cong [3] is based on the transient solution,
which is derived using the method of collective marks. Here, we prove the stability
condition for a more general model than the one in Cong [3] using alternative methods.
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Theorem 1 {Z(¢); t > 0} has a unique stationary distribution if and only if
E[log(X + 1)] < oo. 3.1

Proof 1t should be noted that {Z(#)} is positive recurrent if and only if there exists

an invariant measure § := (& ;) j)e.s of {Z(t)} such that & ; > O for (i, j) € &7

and Z(i,j)ey & j < oo [12]. We define the generating functions E()(z) and a (2) as
follows:

@)=Y &5z, B =) &,
j=0 j=1

The invariant measure & satisfies the following balance equations:

r0.0 = 111, (3.2)
J
O +abo; =r) xibojk Jj=12..., (33)
k=1
A+ wé11 = abo1 + 2112, (34)

Jj—1
A+ L) = afoj+ L+ Db+ Y xéjk J=2.3,....3.5)
k=1

Multiplying (3.3) by z/, taking the sum over j € N, and rearranging the result, we
obtain

~ A
B0() = (A + @)&o0,0

T ata—1X(2) G0

Multiplying (3.4) by z and (3.5) by z/ and taking the sum over j > 2 yields
o oo
. .
WY &g 4z ) &)
j=1 j=1

=« Zso,jzf —akoo + uZél,j(zJ)/ — pErn + AZxkzk ZE],;Z’.
=1 =1

j=0 j=1

Rearranging the above equation, we find that

d—Sl(Z) = —q(2)§1(2) + —q(2)0(2), 3.7
z 0 0

where ¢(z) := (1 — f(z))/(l — z). We define Q(z) as the primitive function of g (z)
such that Q(0) = 0. The solution of (3.7) is given by
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- A
B =H@ew(,00). (3:8)

where H (z) is some function which will be determined later. Differentiating (3.8) and
substituting the result into (3.7), we obtain

d A A ~
THE =exp (= 2 0() ().
z w w
It follows from/E\l (0) = 0 and Q(0) = 0 that H(0) = 0. Therefore, we have

< A A ~
HE = [ ew (- 2 0w) Zqwiia.
0 u n

Substituting this equation into (3.8), we obtain

a@-ew (o) |

It should be noted that (3.6) and (3.9) are equivalent to the system of balance equa-
tions (3.2)-(3.6).

Assuming that {Z (¢)} is positive recurrent, we will prove that (3.1) holds. Thus, there
exists an invariant measure § such that§; ; > Ofor (i, j) € and 3 ; ;) & &i,j < 0.
Therefore, we have

Z

' A A -~
exp ( — ;Q(M);q(u)éo(u)du}. (3.9)

£0.0 < £0(z), forallz € [0, 1], (3.10)
Q) +E&@ < Y &, forallzel0,1]. (.11)
@i, ))es

From (3.9) and (3.10), we also have

80 +80) = o+ foexe (200) [ ew (- 20w0) ~qaan
—too+ e (200) [ f e (= Z0w) Jau

— £.0exp (%Q(z)), for all z € [0, 1]. (3.12)

Because of (3.11), &, >0,04,)) € <, and Z(i,;’)eﬂ’ & j < oo. We can take the
limit of (3.12) as z 1 1 in order to obtain '

> &= e (o). (3.13)
G.))es ®
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Using Q(z) = ijl P[X > jlz//j, we can show the following inequality:

o0 k+1
1 1
o) = Zxk{ 27 — log(k + 1)} + E[— Y51 +log(X + 1)]
k=1 j=1
1
-y — E[X—_H] + Ellog(X + )]
>y —1/2+ E[log(X + 1)], (3.14)

where y is Euler’s constant [16]. The first inequality in (3.14) is due to

k+1
Z; —logk+ 1) > y,
j=1

while the second inequality in (3.14) is because X > 1. Therefore, it follows from
(3.13), (3.18) and Z(i’j)ey &;,; < oo that E[log(X + 1)] < oo.

Now, assuming that E[log(X + 1)] < oo, we will prove the existence of a positive
invariant measure § such that ) _; e §i,j < oo. We select an arbitrary §o,0 > 0.
First, we prove that&; ; > Oforany (i, j) € .”. We canrecursively prove that & ; > 0
for j € Nby using (3.3), and itfollows from (3.2) that&; ; > 0. In addition, comparing
the coefficients of z/ on both sides of (3.7), we have, for jeN,

P P
G+ DL = Y PIX > j —kl&ox + o Y PIX > j—klEik, (3.15)
k=0 k=1

where we have used ¢(z) = ijo PIX > j]zj. Due to £y 0 > 0, we can also
prove that & ; > O for j > 2 by using the recursive formula (3.15). Thus, under the
assumption that &y o > 0, it follows that §; ; > O for any (i, j) € 7.

Next, we prove that Z(i,j)ey &;,j < 0o. From (3.6), we have

A4+« A+«

&o(z) < quo =<

€00, forallz [0, 1], (3.16)

where the second inequality is to cover the case P[X < oo] < 1. From (3.9) and
(3.16), we also have

B +512)
A A A N A A
< to0 " 0o e (200) [ exw (= 20w) Zgtoau
« @ M 0 I 0

—to0" " 00" e (200) [ f e (- Zow) fau

Y exp (%Q(z)), forall z € [0, 1]. (3.17)

A
= £0,0
o
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Using Q(z) = ijl P[X > jlz//j, we can show the following inequality:

1
Q) <Y PIX > i5

Jj=1
00 k 1
= Zxk{ >~ —log(k + 1)} + Ellog(X + 1]
k=1 j=1 J
< y + E[log(X + 1)], forall z € [0, 1], (3.18)

where the inequality in (3.18) is due to
£
Z;—log(k—i—l) <.

j=1

Taking the limit of (3.17) as z 1 1, it follows from (3.18) that

~ ~ A A
tim (B0 +51(2)) = 00"~ exp (= 1y + Ellog(X + D). 3.19)

Note that
(o 0] o0
lim {% Z +A Z){ = lim 7/ + lim 7
lim {§0(2) + &)} mgso,, m;‘f”

o0
lim & ;2 + ) " lim#& 2/
I8! : = 1 :

e¢]

\
g+ ) &, (3.20)
1

o0
j=0
o
Jj=0 j=
where the second equation holds because &; ; > 0 for (i, j) € .. It follows from
(3.19), (3.20), &p.0 > 0 and E[log(X + 1)] < oo that there exists an invariant measure
& such that & ; > O for (i, j) € ./ and Z(l-,j)ey & j < oo. Therefore {Z(¢)} is
positive recurrent. O

4 The number of jobs in the system

In this section, we consider the number of jobs in the system in steady state, i.e.,
assuming E[log(X + 1)] < oo. From Theorem 1, there exists the unique stationary
distribution & = (7 j); je.s, Where m; j = lim;— oo PlI(z) =i, N(@¢) = j] for
(i, j) € . We define the number of jobs in the system in steady state as N, and its
PGFas 7 (z) := Z?‘;o mo,jz) + Z?’;l m1,jz’ . The PGF 7 (2) is given by Theorem 2.
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Theorem 2 7 (z) is given as follows:
exp (£0(2) + [y exp (510() — Q) gtz du

exp (£0(1)) + fy exp (21Q(1) — Q()}) AT W gy,

(Aa—AX(u))?

T(2) = 4.1)

Proof The stationary distribution r is the positive invariant measure which satisfies
the normalizing condition, i.e., 7 (1) = 1. From (3.6) and (3.9), we have

Ao
—AT[
A4o—2X(2) 00

< A Ao
+/O eXp(—;{Q(Z)—Q(u)}) 40 g (42)

T(z) =

By partial integration, we obtain

7(z) = 70,0 €Xp (i Q(z))

20+ )X (2)
—l—no,o/o exp( {0@) - Q(u)}) Ctas AX(z)}Zdu' 4.3)

From (4.3) and 7w (1) = 1, we obtain 7 o as follows:

1 A ! A AL+ )X (2)
o0 = exp(;Q(l)) +/0 exp (;{Q(l) - Q<u>}){Ha Sy TETE

Substituting (4.4) into (4.3), we obtain Theorem 2. O

Remark 2 As mentioned in Sect. 1, the number of jobs in the system in our model is
identical to that in the MX/M/oo queue with setup time. Simplifying equation (2.9)
in Shanbhag [14] for the system without setup time, we know that the PGF of the
number of customers for that system, denoted by 7*(z), can be obtained as follows:

A
7@ =ew (7100 - o). *5)

It is easy to see that (4.1) tends to (4.5) as o« — oo.

We can easily obtain the average number of jobs in the system.

Corollary 1 Assuming that E[X] < oo, E[N] is given as follows:

E[N] =

AE[X] (A
L ]{ +aﬁn’oo+l}
n o

where 1,0 is given by (4.4).
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Proof Differentiating (4.1), we obtain

A+ ) X' (2)
A +a —2X(2))2

A
7' (2) = 70,0 + ;q(z)ﬁ(z).

Taking the limit as z 1 1 in the above equation yields

7'(1) =1im7'(2)
4!

AL 4+ a)E[X] A 1-X@)
= ———> 700 + —lim ————

o mtlt 11—z

A0 E[X A
— %7(0,0 + _E[X]’
o w

where the third equality is due to L’Hospital’s rule. From the relation E[N] = 7/(1),
we obtain Corollary 1. O

5 Sojourn time distribution

In this section, we derive the LST of the sojourn time distribution. Note that the LST
of a distribution function F (¢) is defined as F*(s) := ft>0 e S F(dt). We assume that
E[X] < oo in this section for the existence of the equilibrium distribution.

In the MX/M/1/SET-VARI queue, the server changes the speed upon arrivals and
departures of jobs. Therefore, the sojourn time distribution of a tagged job is affected
by the batches that arrive after it. This makes the derivation of the sojourn time distri-
bution complex and challenging. We first derive the conditional LST for the sojourn
time distribution. Then, combining with the queue length distribution, we obtain the
unconditional LST for the sojourn time distribution.

First, we consider the case where the server is processing a job when the tagged
job arrives. Let S1(n, m) denote the residual sojourn time of the tagged job, given that
it is in the mth position and the system state is (1, n). Conditioning on the first-step
transitions, we have, form € Nand n > m,

Sitn—1,m —1), w.p.

- :
ps . 5.1

A+np’

Si1(n,m) = +
A+np Si(n+k, m), w.p.

where Y denotes the exponential random variable with mean 1, and Sy (n, 0) = 0 for
n € N. Furthermore, let ¥{(n, m, s) denote the LST of S (n, m). Taking the LST of
both sides of (5.1), we obtain, for m € N and n > m,
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nu

n,m,s _ n—1,m-—1,s

Y1 ( )= STn 1/f1( )
—i—mZkal(n—i—k m,s), (5.2)

where {1 (n,0,s) = 1. We use the convention that ¥ (n,m,s) = 0 forn < m.

Furthermore, we define the infinite column vector ¥ (m, s) as

Yi(m,s) =10, m,s),....,¥1(m—1,m,s), y1(m,m,s), yi1(m+ l,m,s),...)T,

where a ' denotes the transposed vector of a. Note that the nth element of ¥(m,s)
isYi(n—1,m,s)forn>m+ 1.
We define infinite matrices A" and M as

AD — (AD
(A )(1 j)eNxN’ (53)
)\xj—z 1 . .
, 1 <i <,
AV =3 5Ha+G-1D /
0, otherwise,
M = (Mij)(i,j)eNxN’ G4
(i —Du .
— 1l <i=j 41,
Mij=1{s+r+@-Du J
0, otherwise.
Rearranging (5.2) by using these matrices, we obtain
Vim,s) =My (m—1,5)+AVY,(m,s), meN. (5.5)

From ¥ (n,0,s) = 1 for any n € N, we have

¥10,5) =1,

where 1 is the infinite column vector whose elements are all equal to 1. Let || z |2
denote the Euclidean norm of the vector z. We prove that the operator norm of the
infinite matrix AV, || AD ||= SUP|z,=1 I AWz |12, is strictly smaller than 1. Indeed,

forall z = (z1, z2,...) " suchthat || z |,= 1, we have

AXi_; 2\ 1/2
| I ZM Zj>is+k+(i—l)u /

- (Z m(;xj_izj)2>l/2
A+S(Z<fozf+‘) )1/2
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(X ()"

i>1 j>1

(Ywnar)”
RaVA o

Ats izl

A

IA

A

j=1

Ats’

where the second inequality holds because of Jensen’s inequality. Thus,
A
14D < —— <1
A+s

Because || AV || is strictly smaller than 1, (I — A") has an inverse mapping, where
I is the infinite identity matrix [6, Section 29, Theorem 8]. Therefore, from (5.5), we
obtain the following recurrence equations, for m € N:

Vim,s) =T — ANYTITMy,(m —1,5).
Solving this equation, we obtain
¥im.s) ={I - AV)"'My"1L. (5.6)

Next, we consider the case where the server is not processing a job when the tagged
job arrives. Let So(n, m) denote the residual sojourn time of the tagged job, given that
the tagged job is in the mth position and the system state is (0, n). Let ¥o(n, m, s)
denote the LST of So(n, m) forn € N and m < n. In addition, we define the infinite
column vector ¥ (m, s) as

Yom,s) = (Yo(0,m,s), ..., vo(m —1,m,s), Yo(m,m,s),
Yom+1,m,s),...)",

where ¥o(n,0,s) = 1,n € Z4,and Yo(n,m,s) = 0,n € Z4 and m > n. We use the
convention that Yo(n, m, s) = 0 for n < m. As with the analysis for ¥ (m, s), i.e.,
(5.1)—(5.6), we obtain

Yolm,s) =T — AD) Ay (m, s), (5.7)

where the infinite matrices A?) and A are defined as follows:

AXj— .
0) _ (4O o_ ) ——— 1<i<]j,
A© = ( ij )(i,j)eNxN’ A =) s+r+a ] (5.8
0, otherwise,
(04 1 . .
_—, <1l = 7
A=(4;;),. . , Aii=]s+r4+a 5.9
( l])("/)ENXN Y {0, otherwise.
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Note that (I — A©) has an inverse mapping, which can be proved similarly to the
analysis for A1,

Next, we derive the unconditional LST of the sojourn time distribution. To this end,
we define 7 (i, n, m) as the probability that the tagged job is located in the mth position
and the state of the system becomes (i, n) immediately after its arrival. Let (.%, %)
denote the state of the system just before the tagged job arrives at the system. Let
& denote the position at which the tagged job is located immediately after it enters
the system. Let X denote the number of jobs in the batch to which the tagged job
belongs. Under the assumption that E[X] < oo, the distribution of X isthe equilibrium
distribution of X, given in [4], for k € N,

kxy,
E[X]

PIX =k] =

In addition, from PASTA [18], we have, for (i, n) € .7,
PlS =i, £ =n]l=mi,.
Let Z'(n,m) :=={k; xx >0, n <k < m}. We obtain, forn € Nand n > m,

t(1,n,m)
= ZP[J/:L Ly=n—k, X =k, P =m)
ke Z (n—m+1,n—1)
= YPZP=mI=1 % =n—k X =kl
ke 2 (n—m+1,n—1)
Pl =1, %y =n—k, X =kl

= Y %P[f(:kL/:l,fp:n—k]P[f:l,fpzn—k]
ke Z (n—m+1,n—1)

1 kxi
= Z EE[X]nl,n—k

ke Z (n—m+1,n—1)

n—1

= > Tty
— ,n_ e
k=n—m+1 E[X]

Similarly to the above, we obtain, forn € Z; and n > m,

n

Xk
7(0,n,m) = Z TOn—k =ro -
k=n—m-+1 E[X]

Since we use the convention that i; (n, m, s) = 0 forn < m, the LST of the sojourn
time distribution, denoted by ¥ (s), can be expressed as follows by using ¥y (n, m, )
and Y1 (n, m, s):
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Vis) = ZZr(o n, m)yo(n, m, s>+ZZr<1 n,m)yi(n, m, )

n=1m=1 n=2m=2

=20 D Mgy wo(nms>

m=1n=m k=n—m+1

+Z Z Z - kE[X]wl(n m,s). (5.10)

m=2n=m k=n—m+1

It is obvious that the infinite series included in v/ (s) converges. The reason is that
Y Y T, n,m)+ Y 0,3 S t(l,n,m) = 1and 0 < ¥;(n, m, s) < 1 for
i=1,2,neNandl <m <n.

For a compact expression of (5.10), we define the infinite matrices I,,, form € N,
and B as

o L 1=<i=j<m,
I, = (Iij)(i,j)eNxN’ lij = {O, otherwise, (5.11)
(. _fxjmn 1 =i< g,
B = (Bl/)(i,j)eNxN’ Bij = {O, otherwise. (5.12)
In addition, we define the infinite row vectors ¢ and 7| as
o = (70,0, 70,1, 71,2, -..), w1 = (0,711, 712,...).
Rearranging (5.10) by using these matrices and vectors, we obtain
Y(s) = Z E[X] — L) ¥o(m, s)
m=1
+Z E[X]I wB = L)Y (m, s). (5.13)

From (5.6), (5.7) and (5.13), we obtain the LST of the sojourn time distribution as
follows:

Theorem 3 The LST of the sojourn time distribution, V (s), is given as follows:

o0

V(s) = Z E[IX] [molnBU — 1T = A0 a][ax - A“))*IM]ml
=1

_ _ Ay =1 "
+EE[X][”‘I’”B(I t][@ = a®m]",

where AV, M, AQ), A, I, and B are given by (5.3), (5.4), (5.8), (5.9), (5.11 and
(5.12, respectively.
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Remark 3 The LST of the sojourn time distribution given in Theorem 3 is in series form
involving infinite-dimensional matrices. Therefore, an approximation is necessary for
numerical calculation. In Sect. 6.2, for numerical experiments, we present a method to
approximate v (s). However, we have not yet been able to find a bound for the error. It
is important future work to find an approximation method with guaranteed accuracy.

6 Numerical results

In this section, we present some numerical results for the M*/M/1/SET-VARI queue.
We consider three types of distribution for X: the binomial distribution with parameters
n € Nand 0 < p < 1, denoted by Binom(n, p), the discrete uniform distribution with
parameters a, b € N (a < b), denoted by Unif{a, b}, and the geometric distribution
with parameter 0 < p < 1, denoted by Geo(p).

6.1 Energy consumption and response time trade-off

We consider the trade-off between the average energy consumption and the average
sojourn time. In order to compare the variable speed CPU with the fixed speed CPU,
we also consider the MX /M/1/SET-FIX queue where the service speed is fixed, while
other settings are kept the same as the MX/M/1/SET-VARI queue. We use the PGF
of the number of jobs in the system derived for the MX /M/1/SET-FIX queue in [2].
The assumptions regarding energy consumption per unit time for each state are given
in Table 1.

Note that the constants Kgervice and Kger from Table 1 depend on the particular
system. Let E[W, ] and E[W¢] denote the average sojourn time of the variable speed
queue and that of the fixed speed queue, respectively. In addition, let E[ P,] and E[ P¢]
denote the average energy consumption of the variable speed queue and the fixed speed
queue, respectively. E[ Py] and E[ Pf] can be expressed as follows:

E[P,] = p?{7o(1) — 70,0 + 77 (1) + 7 (1)},

12

Tt o) +arEX)/p)

E[Pr]

We will explore the relationship between the average sojourn time and the average
power consumption. In addition, we will compare E[W,] with E[ W¢] under the con-
dition that E[ Py] = E[P¢]. In what follows, we assume that « = 0.1 and AE[X] = 1.

Table 1 Energy consumption

Stat Variabl Fixed
per unit time at each state [7,9] ate anabe 1xe
Service 1L pj=1 Kervice X (jﬂ)z Kservice X Hz
Setup 0, ))j>1 Kset X 12
Idle (0,0) 0
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Y ; . ;

-.“. —variable: Binom(9,1/6)

il - -fixed: Binom(9,1/6) ||

| —--variable: Binom(9,1/3)| |
\ ’ fixed: Binom(9,1/3)

average waiting time
>

———lrtrereeaiana,

——— T,

average energy consumed per unit time

Fig.2 AE[X] = 1.0, @ = 1.0. X follows the binomial distribution

Note that AE[X] is the mean number of jobs arriving per unit time. In the numerical
experiments, the value of A and the distribution of X change while keeping AE[X] = 1.

The procedure of numerical experiments is as follows. First, fixing the value of €
(0, 3], we compute the average energy consumption per unit time of the MX/M/1/SET-
VARI queue, denoted by Ay, and the average sojourn time. Let u¢(A) denote the unique
service rate which realizes the average energy consumption A in the fixed queue. Next,
we compute ur(Ay) by

ni(Ay) = (— «AE[X] + V@AE[X]? + 40 A (h + ) )/(20).

As a result, the energy consumption for both models is kept the same. Finally, we
compute the average sojourn time of the MX/M/1/SET-FIX queue under the parameter
ur(Ay). In this numerical experiment, we compute the average sojourn time from the
average number of jobs in the system using Little’s formula [8].

In Fig. 2, we present the results when X is Binom(9, 1/6) (and A = 0.4) and when
X is Binom(9, 1/3) (and A = 0.25). Jobs in the case of Binom(9, 1/3) are more
likely to arrive in larger batches than those in the case of Binom(9, 1/6). In Fig. 3,
we present the results when X is Unif{l1, 4} (and A = 0.4) and when X is Unif{1, 7}
(and A = 0.25). Similarly, jobs in the case of Unif{1, 7} are likely to arrive in larger
batches than those in the case of Unif{1, 4}.

In all the cases in Figs. 2 and 3, we observe the trade-off between the average sojourn
time and the average power consumption, i.e., the average sojourn time is smaller when
the average power consumption is larger. In addition, keeping the average number of
arrivals per unit time (AE[X]) and the average power consumption the same, arriving
in larger batches results in a smaller average sojourn time. This result seems intuitively
true and might be proven.
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|—variable: Uni{1,4}
= -fixed: Uni{1,4}
=--variable: Uni{1,7} |
---- fixed: Uni{1,7}

average waiting time
=

——ttteaa,,,

—
——

e

average energy consumed per unit time

Fig.3 AE[X] = 1.0, @ = 1.0. X follows the discrete uniform distribution

Let’s compare the variable speed queue with the fixed queue. Our numerical results
show that for high-performance applications, in which delays must be kept small,
having variable speed can result in both shorter delays and lower energy than having
fixed speed, while the opposite is true for applications where energy usage is more
important than delay performance.

These observations could be explained as follows: Energy consumption in the vari-
able service queue monotonically increases with the number of jobs in the system
while that in fixed service queue is constant whenever there are jobs in the system.

6.2 The sojourn time distribution

In Figs. 4 and 5, we present the probability densities of the sojourn time distributions
computed by numerically inverting the Laplace—Stieltjes transform. In what follows,
we assume that « = 0.1 and AE[X] = 1. The LST of the sojourn time distribution
is given in Theorem 3, but it is in series form involving infinite-dimensional matri-
ces. Therefore, as mentioned in Remark 3, approximation is necessary for numerical
calculation.

We present a procedure to compute the LST of the sojourn time distribution, ¥ (s).
First, we truncate the infinite vectors o and 7| to the vectors of their first (N* + 1)
elements, where the constant N* is determined by

n

n
. . —4
N* = inf {n eN; 1— Zj:OJTO’j — Zj=17'[1’j < 10 }
This is equivalent to disregarding the states with more than N* jobs in the system whose
probability is 1074 We compute oo by (4.4)and m; ;,i =0,1,j=1,..., N*, by
(3.3), (3.4) and (3.5). In addition, we truncate the infinite matrices appearing in ¥ (s)
to their (N* + 1) x (N* + 1) north-west corner matrices. We compute each element
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\
\
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Fig. 4 Comparison of the cases in which X follows different distributions. A = 0.4, « = 0.1, u =

0.1, E[X]=25

0.12

0.1

probability density
o )
8 8

=4
o
=

0.02

'—Binom(9,1/3)|
''''' Geo(1/4)
Unif{1,7} |

10 15 20

sojourn time

Fig. 5 Comparison of the cases in which X follows different distributions. A = 0.25, « = 0.1, u =

0.1, E[X]=4.0

of the infinite matrices by (5.3), (5.4), (5.8), (5.9), (5.11) and (5.12). Let ¥/*(s) denote
the function computed by Theorem 3 using the truncated matrices and vectors. In our
numerical experiments, we use the value of ¥ *(s) as an approximation to the LST of
the sojourn time distribution. It is important future work to estimate the error of this
approximation. Our extensive numerical experiments show that the approximation is
fairly accurate in the sense that the final results do not change much as N* is increased.

Next, we present the procedure to compute the value of the sojourn time distribution
for t € [0, T'] by numerically inverting the Laplace—Stieltjes transform [5] for fixed
T > 0. The function %) (r) and the constant K *(¢) are defined as follows:
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h 6 \ (¥ (6/T) ) :
F®0 =~ exp (?z) [ T/ + YK Re[y(6/T + ikh) exp(zkht)]},

K*@) =inf {K e N; | f® @) — fE D) < 107,

where i = +/—1 and Re(a 4 ib) = a. In our numerical experiments, we use the value
of fK ") (1) as the sojourn time distribution. The constant 4 is the step size; we set
h = 1/100.

In Figs. 4 and 5, we investigate the impact of the batch size distribution on the
sojourn time distribution. Figure 4 presents the sojourn time distribution for & = 0.4,
E[X] = 2.5and i = 0.1, while Fig. 5 shows that for A = 0.25,E[X] =4and u = 0.1.
Note that in both figures AE[X] = 1. We observe that the curves of Binom(9, 1/6)
and Uni(1, 4) almost coincide. The values of second, third and fourth moments are
7.5, 25.8 and 99.2 for Binom(9, 1/6), and 7.5, 25.0 and 113.5 for Uni(1, 4). On the
other hand, the values of second, third and fourth moments are 10.0, 58.8 and 480.0 for
Geo(1/2.5). This suggests that high-order moments (roughly fourth or higher) have
less influence in the sojourn time distribution.

Compared with Fig. 4, the curves for the binomial distribution, uniform distribution
and geometric distribution are different in Fig. 5. The second moments are 18.0 for
Binom(9, 1/3),20.0 for Uni(1, 4) and 38.0 for Geo(1/2.5). This suggests that the sec-
ond moment of the batch size has a significant impact on the sojourn time distribution.

7 Conclusion

In this paper, we have studied the MX/M/1/SET-VARI queue. We have derived the
PGF of the number of jobs in the system in an integral form. Furthermore, we have
derived the LST of the sojourn time distribution, which is obtained in series form
involving infinite-dimensional matrices. Through numerical experiments, we have
been able to observe some insights into the sojourn time distribution and the average
energy consumption. One remark is that the stationary queue length distribution and
the sojourn time distribution of the finite buffer version can be obtained using almost
the same procedure as for the infinite buffer model, so we have omitted that analysis
here. Furthermore, the finite buffer is easier in the sense that it is always stable and the
sojourn time distribution does not involve infinite matrices. As future work, we plan
to consider the model where the service rate is an arbitrary function of the number of
jobs in the system. Models with general setup time and service time distributions may
also be investigated somewhere else.
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