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Abstract We consider weak sharp solutions for the generalized variational inequality
problem, in which the underlying mapping is set-valued, and not necessarily monotone.
We extend the concept of weak sharpness to this more general framework, and establish
some of its characterizations. We establish connections between weak sharpness and
(1) gap functions for variational inequalities, and (2) global error bound. When the
solution set is weak sharp, we prove finite convergence of the sequence generated by
an arbitrary algorithm, for the monotone set-valued case, as well as for the case in
which the underlying set-valued map is either Lipschitz continuous in the set-valued
sense, for infinite dimensional spaces, or inner-semicontinuous when the space is finite
dimensional.
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1 Introduction

In 1998, Marcotte and Zhu [14] introduced the concept of weak sharp solutions of a
point-to-point variational inequality. They derived the necessary and sufficient condi-
tion for a solution set to be weakly sharp, and also studied the finite convergence of
iterative algorithms for solving variational inequalities whose solution set is weakly
sharp. The finite convergence of an iterative algorithm means that the algorithm finds
a solution in a finite number of iterates. Zhou and Wang [23] re-examined the unified
treatment of finite termination of a class of iterative algorithms, and showed that some
results given by Marcotte and Zhu [14] remain valid under more general assumptions.
Wu and Wu [18] presented several equivalent (and sufficient) conditions for weak
sharp solutions of a variational inequality in the setting of Hilbert spaces. They gave a
finite convergence result for a class of algorithms for solving variational inequalities.
Using the concept of a dual gap function, Zhang et al. [22] characterized the directional
derivative and subdifferential of the dual gap function. Their analysis opens the way
for a better understanding of the concepts of a global error bound, weak sharpness,
and minimum principle sufficiency property for a variational inequality, where the
operator is pseudo-monotone point-to-point. Xiu and Zhang [20] further studied finite
convergence of a specific family of algorithms. They established the finite convergence
of the proximal point algorithm when the solution set is weakly sharp.

If the objective function of a constrained optimization problem is neither convex nor
differentiable, then the problem cannot be formulated as a point-to-point monotone
variational inequality. In this case, generalized variational inequalities (i.e., with a
non-monotone set-valued underlying mapping) are needed.

On the other hand, the literature addressing the case of weak sharp solutions for
generalized variational inequalities (i.e., for set-valued variational inequalities) is very
scarce, and, as far as we know, treats the maximally monotone case in finite dimensions,
see, e.g., the recent work [19]. Under a weak-sharpness assumption, the latter paper
shows finite termination for the set-valued maximally monotone case. To address this
gap is the main aim of the present paper.

The paper is structured as follows: in the next section, we present the formulation
of generalized variational inequality problem in which the underlying operator is a
set-valued mapping. We also present some basic definitions and results from nonlinear
and convex analysis, which will be used in the sequel. Section 3 deals with the notion
of a gap function for generalized variational inequality problems. We investigate some
properties of the gap functions and give some characterizations of the solution set of
generalized variational inequality problems in terms of gap functions. In Sect. 4, on
the lines of Marcotte and Zhu [14], we introduce the concept of weak sharp solution
set for generalized variational inequalities. We provide some necessary and sufficient
conditions in terms of a gap function for the solution set of the generalized variational
inequality to be weak sharp. We give a necessary condition for a weak sharp solution
set of a generalized variational inequality in terms of global error bound. In the last
section, we prove finite termination of an iterative algorithm under weak sharpness of
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the solution set. We provide the finite termination result under two types of assumptions
on the underlying set-valued map F: (1) when F is monotone, and (2) when F is
continuous in the set-valued sense (see Definition 2).

The results of this paper extend and generalize corresponding results for variational
inequalities studied in [14,15,23].

2 Formulations, preliminaries and basic definitions

Let H be a Hilbert space with inner product denoted by (-, -), and induced norm
I -1l : H — R4, where Ry is the set of nonnegative real numbers. Given C a
nonempty closed convex subset of H and F : H = H a set-valued mapping, the
generalized variational inequality problem (GVIP) is stated as follows: find x € C
and 1 € F(x) such that

(ii,y —%) >0, forall yeC. (1)

An important particular case arises when F = 9df, the subdifferential of a proper,
lower semicontinuous and convex function f : H — R U {400}, or the Clarke
subdifferential [8] df€ of a locally Lipschitz function f : H — R U {4+o00}. In
these cases, the GVIP (1) provides a necessary and sufficient optimality condition
for solving a convex/non-convex and non-smooth optimization problem. For further
details on GVIP and their generalizations with applications, we refer to [1,5,10,13,16]
and the references therein.

For a given nonempty subset C of H, we denote by intC, riC, and clC the interior,
the relative interior, and the closure of C, respectively. We denote by B(x, ) the open
ball in H with center x and radius » > 0 and by B[x, r] the closed ball in H with
center x and radius r > 0. The polar cone C° of C is defined by

C°:={yeH:(y,x)<0 forall x e C}.

For a nonempty closed convex subset of R", the tangent cone to C at x € C is defined

by
Tc(x) := cl(U C;x).
A>0

By construction, 7¢(x) is a nonempty, closed and convex cone. The normal cone to
the set C at x is defined by

{veH:(y,z—x) <0 forall zeC}, ifxeC,
0, otherwise,

Nc(x) := I

that is, N¢ (x) := [T¢(x)]°. The distance from x € H to C is given by

d(x,C) :=inf{||x —c| : c € C}



1070 S. Al-Homidan et al.

Let C be a nonempty closed convex subset of H. The projection of x € H onto C is
defined by

Pc(x) ;= argmin [|x — y|.
yeC

Let f : H — R U {400} be a proper, convex and lower semicontinuous function.
The domain of f is denoted by dom f and defined as

dom f:={x e H: f(x) < +o0}.

Fix d € H and x € dom f. Recall that the directional derivative of f at x in the
direction d is defined by

J&x+11d) - fx)
p .

fl(x;d) = tg%g
Fix x € dom f. The subdifferential of f at x is defined by
afx):={eH: f(y)—f(x)=(,y—x) forally e H}.
Let & > 0. The e-subdifferential of f at x is defined by
def(x):={§eH:f(y)—fx)=(,y—x)—¢ forally e H}.

Note that 9, f(x) D df (x) for all x € dom f and all £ > 0.
Given a set-valued mapping F : H =% H, its domain is denoted by D(F) and
defined as

D(F):={x € H: F(x) #0}.
The graph of F is denoted by G (F) and defined as
G(F):={(x,u):x € D(F) and u € F(x)}.

Let C C H be nonempty. We denote by G¢(F) the graph of F restricted to C,
namely,

Gce(F):={(x,u) e G(F) : x € C}.

A set-valued mapping F : H = H is said to be

(a) monotone if

(u—v,x —y)>0, forall x,ye H andall u € F(x),v € F(y);
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(b) pseudomonotone if forall x, y € H,
(u,y—x)>0 forall ue Fix) = (v,y—x)>0 forall ve F(y).

(c) maximally monotone if it is monotone and the graph of F cannot be enlarged
without destroying the monotonicity property. In other words, if F is monotone
and G(F) C G(F), then F = F;

(d) paramonotone if it is monotone and whenever (u — v, x —y) = O withu € F(x)
and v € F(y), then this implies that u € F(y) and v € F(x);

We will consider in our analysis maps which are continuous in the point-to-set
sense. The following definitions and results collect all the tools we will need. We start
by defining convergence of a sequence of sets.

Definition 1 ([5, Definition 2.2.3 and Proposition 2.2.7]) Given a sequence {C ky of
sets such that C¥ ¢ H for all k, we define the interior limit of the sequence {C*} of
sets as the set

limint C* := [z € H :liminfd(z, Cy) = o] )
k— o0 k— 00

Recall that in a Hilbert space, the strong topology is the metric topology induced
by the norm.

Definition 2 ([5, Definition 2.5.1(a) (b) and Definition 2.5.3 (i)]) Let F : H = H
and U be a subset of D(F’) such that F is closed-valued on U'. In the definitions below,
we consider the convergence with respect to the strong (i.e., the norm) topology in H.
We say that F is:

(a) inner-semicontinuous at x € D(F) if whenever a sequence {x,},cy converges
to x we have

F(x) C limint F(x,).
n— o0

(b) Lipschitz continuous on U if there exists a Lipschitz constant k > 0 such that for
all x, x’ € U it holds that

F(x) C F(x) +«llx — x'||B.

The next result, which will be used for establishing finite convergence under no
monotonicity assumptions, is an adaptation of [5, Proposition 2.5.29(i)] to our frame-
work. Since the statement is slightly changed from that in [5], and for convenience of
the reader, we include its proof here.

Proposition 1 Let F : H = H be inner-semicontinuous (with respect to the strong
topology) at x € int D(F). Consider the following assumptions.

(i) H isinfinite dimensional and F (X) is compact (with respect to the strong topology
in H).
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(i) H = R" (i.e., H is finite dimensional) and F (x) is closed.
If either (1) or (ii) hold, then for every p > 0, ¢ > 0, there exists § > 0 such that

F(x)N B[O, p] C F(x)+ B[0,¢], forall x € B(x, ).

Proof Assume that (i) holds. If the statement on neighborhoods were not true, we could
find pg, &9 > 0, and a sequence {x,} converging to x such that F(x) N B[O, po] <
F(x,) 4+ B[O, &o]. Define a sequence {z,} such that z,, € F(x) N B[O, po] and z,, ¢
F(x,) + B[O, g9]. By compactness of F'(x), there exists a subsequence {z,,} of {z,}
converging to some z € F(x) N B[0, pp]. By inner-semicontinuity of F, we can find
a sequence {y, € F(x,)} also converging to z. Then limy z,, — y,, = 0, so that
for large enough k we have that z,, — y,, € BJ0, go]. Altogether, we conclude that
Zng = Yup + (20, — Y] € F(xy,) + B[O, o] for large enough k, but this contradicts
the definition of {z,}. Therefore, the claim on neighborhoods must hold.

Assume now that (ii) holds. In this case, the proof follows the same steps, but with
the difference that we use the compactness of the ball, which only holds in finite
dimensions. Indeed, we have now that the set F(x) N B[O, po] is compact, because
the ball is compact and F (x) is closed. Hence, as in the proof for assumption (i), there
is subsequence {z,, } of {z,} converging to some z € F(x) N B[O, pp]. The proof now
follows exactly as for the previous assumption. O

Remark 1 The Lipschitz continuity assumption rules out maximally monotone map-
pings which are not point-to-point. Hence this assumption only makes sense for
non-monotone set-valued variational inequalities.

The following is a simple extension of results in the literature, and will be needed
in the sequel. We provide here its simple proof for convenience of the reader.

Lemma 1 (See [15, Lemma 1] and [7, Lemma 3.1]) Let C C H be a closed convex
set and x € C. Then, for every u € H, we have

2
@) (Pre(o(—u), u) = — H Prox)(—u) | ;
(b) min {(v, u) : v € Tc(x), vl <1} = = | Preo(—w).
Proof We denote by u := Pr,)(—u) € Tc(x). The properties of the projection
imply that

(y —u,—u—u) <0, forall ye Tc(x). 2
Taking y =0 € Tc(x) and y = 2i € T¢(x) in (2), we obtain sequentially that
(—u,—u—u) <0and (u, —u —u) <0,
which readily imply (a). Assume first that i = 0. From (2) and (a), we have
(y,uy >0, forall ye Tc(x).
So,

inf {{v,u) :v e Tcx), |v||<1}>0.
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If u = 0, then the above infimum is attained when v := u and is equal to 0. Hence, (b)
holds in this case. Assume now that it # 0. The fact that u = P7,(r)(—u) means that

i = argmin ||y + u%.
yeTe(x)

Therefore, for all y € T¢(x) such that ||y|| < ||i|, we have
i+ ull® < lly + ull®.

Using (a) in this inequality and simplifying the resulting expression yields

=12 2 =12
u u
l[all > (you) + Ipl™ Nl

(y,u) + > 5, Z 7 3)

where in the left-most inequality we used the fact that y € T¢ (x) is such that ||y| <
|lz]]. Combine the left-most and right-most expressions in (3) to obtain

(v, u) = —lall?,

for all y € Tc(x) such that ||y|| < |lu]|. Since u # 0, we can re-write this expression
as

<”z—”u> > — i), )

for all y € Tc(x) such that ||y|| < |lu|. Since ||yl < |ull, ﬁ represents any
y' € Te(x) such that ||y’|| < 1. With this in mind, (4) reads

o' u) = —llal, S
for all y’ € T¢(x) such that ||y’|| < 1. This proves that

min{(v, u) 1 v € Te(x), |vll =1} = —lul.

i

To obtain the opposite inequality, take v := mar € Tc (x), we have

min{(v, u) v € Te(x), v <1} < <”Z—” u> = —|lill.

where we used (a) in the right-most equality. This completes the proof of (b). O
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3 Gap functions and solution set for generalized variational inequalities
3.1 Characterization of solution set for generalized variational inequalities
The GVIP can be stated in terms of the graph of F as follows:

Find (x,u) € G¢(F)suchthat (u,y —x) >0, forall y e C. (6)
The set of solutions of GVIP is denoted by S, that is,

S={(x,u) e Ge(F) : (u,y —x) >0 forall ye C}.
We will also consider the set S, the projection of S onto the first coordinate :
S :={x € C : Ju € F(x)satisfying (x, u) € S}. (7)

From (6), we have that x € Sifand only if there exists u € F(x) suchthat —i € N¢(x)

or equivalently, Pr.x)[—i] = 0. i
Now we give a characterization of the solution set S of (1) under paramonotonicity.

Proposition 2 Let F : H = H be paramonotone and X € S. Then, S = S, where
S:={z€C:3i e F(z) N F()suchthat (i1, z — X) = 0}.

Proof Letz € S. Then, there exists w € F(z) such that (w,x —z) > 0. Since x € S,

there exists u € F(x) such that (i, z — x) > 0. Combining the last two inequalities,

we get
(w—u,z—1x)=<0. ®)

By monotonicity of F, we have
(w—i,z—x)>0. 9

From (8) and (9), we get (w — u, z — x) = 0. The paramonotonicity of F implies that
w € F(x)and i € F(z). Hence, u € F(z) N F(x). Moreover,

0= (w,z—x)=(u,z-x) =0,

and thus, (i, 7z — x) =9. Hence, z € S’, therefore, § C S.
Conversely, let z € S. Then, z € C and there exists u € F(z) N F(x) such that

(u,z—x)=0. (10)
Since X € S, there exists # € F () such that

i,y —%) >0, forall yeC. (11)
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By monotonicity, and the inclusions it € F(z) and i € F(X), we have
(n—i,x—2z)>0. (12)
Using (10) and (11) for y = z in the inequality above yields
0<(i,z—x)<(t,z—x)=0,

SO,
(fi,z — %) =0. (13)

This fact and (10) imply that
(n—u,x—1z) =0,
and by paramonotonicity, we conclude that
il € F(2). (14)
For any y € C, by (11), we have
0<(t,y—x)=(a,y—z)+ U z—x)=(t,y—z),

where we used (13) in the last equality. Combining the above expression with (14)
implies that z € S. Therefore, S € § and the proof is complete. O

Remark 2 Proposition 2 extends to the point-to-set framework Lemma 2 in [15]. Since
the subdifferential of a proper convex lower semicontinuous function is point-to-set
and paramonotone [12], Proposition 2 also extends and generalizes Lemma 1 in [23].

3.2 Gap function and solution set for generalized variational inequalities

Let C be a nonempty subset of H and F' : H = H be a set-valued mapping with a
non-empty domain.

Definition 3 A function g : H — R U {+00} is said to be a gap function for GVIP if
and only if the following conditions hold:

(a) g(x) >0forallx € C; B
(b) g(x) =0ifandonlyifx € S.

One of the main motivations to introduce the gap functions is that they allow to
convert a GVIP into an optimization problem, so that standard methods can be used
to solve GVIP.

Crouzeix [9] considered the Minty type generalized variational inequality problem
(MGVIP): find x € C such that

(v,y—x)>0, forall yeC and v e F(y). (15)
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The solution set of MGVIP is denoted by S*. It is clear that S < S* if F is
pseudomonotone. It was proved by Crouzeix [9] that § = S* if C is a nonempty
closed convex subset of H and F' is pseudomonotone and upper semicontinuous with
nonempty convex compact values.

Auslender [2] (see also [3,9]) introduced the following gap function hir c : H —
R U {400} for GVIP:

sup  (v,x —y), if x e CND(F),

WEGc(F
hro(x) = (. y)eGc(F) (16)

+00, if x¢CnD(F).

The function hfr ¢ is nonnegative, lower semicontinuous and convex. The latter
two properties follow from the fact that it is a supremum of affine functions. From its
definition, i ¢ is proper when C N D(F) # (.

When F is maximally monotone, the minimizers of & ¢ are the solutions of GVIP.
This fact, established in [4], is stated next.

Proposition 3 [3,4] Assume that F is maximally monotone. Consider the following
assumptions.

(1) H is finite dimensional and ri(D(F)) Nri(C) # @.
(ii) H is infinite dimensional and int(D(F)) N C # @ or D(F) Nint(C) # .

Under assumptions (i) or (ii), we have:

(@) hr,c(x) > 0forall x € D(F) N C,
(b) hpc(x) =0ifandonly ifx € S.

For brevity, we write from now on & instead of & r c when referring to the gap
function defined by (16).

Definition 4 For a fixed x € C, we define the following sets:
Ax) == {(z, w) € Ge(F) : (w,x —z) = h(x)}
A1(x) :={z € C: 3w e F(z)with(z, w) € A(x)} (17)
Ar(x) :={w € H : 3z € Cwith (z, w) € A(x)}.

Remark 3 For h as in (16), we have that

Ax) ={(z,w) € Ge(F) : (w,x —z) = h(x)}

— (@ w) € Ge(F) : (w,x —2) = h(x)}. (18)

Indeed, we clearly have

{(zyw) € Ge(F) : (w,x —z) =h(x)} C {(z,w) € Gc(F) : (w, x —z) > h(x)}.
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The opposite inclusion follows directly from the fact that
h(x) = (w,x —z) = h(x),

where we used the definition of /4 in the first inequality. Hence, under the assumptions
of Proposition 3, for every x € S we must have 4 (x) = 0. In this situation, (18) yields

AX) ={(z,w) € Ge(F) : (w, x —z) =0}

={(z,w) € G¢(F) : {w,x — z) > 0}. (19)

Remark 4 Fix X € S and assume that F is maximally monotone. If assumptions (i)
or (ii) of Proposition 3 hold, we must have that 2 (x) = 0. This yields

{x} x {F(X)} C A(x).

Indeed, we may use z := x in the scalar product in the definition of A(x). As a direct
consequence of the inclusion above, we have that

X € A(x),

and
F(%) C Ay(X). (20)

The aim of the next lemma is to find further relations between the sets A, (x), dh(x)
and F(x).

Lemma 2 Let F be a maximally monotone point-to-set mapping and C C H a closed
and convex set such that assumptions (i) or (ii) in Proposition 3 hold. Let S % 0 be
as defined by (7) and fix ¥ € S. Consider h as defined by (16). With the notation used
in (17) and (19), the following properties hold.

(a) Forall x € C Ndom h and all nonzero vector d € H, we have

W(x;d)> sup (w,d).

weNA(x)

Consequently, A>(x) € dh(x).
(b) If F is paramonotone and x € S, then Ay(x) = F(x) C dh(X).

Proof
(a) Givend € H, use the definition of 4 and A (x), to write
h(x +td) = sup{{w, (x +td) — y) : (v, w) € Gc(F)}

> sup {(w, x — y) + 1(w, d) : (y, w) € A(x)}
= h(x) +tsup {{w,d) : w € Ar(x)},
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where we also used the fact that A(x) C G¢ (F) in the first inequality. The above
expression yields,

h td) —h
hx +1d) = h(x) > sup (w,d) = (u,d), forall ue Ax(x).
t weAs(x)

Thus, for all d # 0 we have that 1/ (x; d) > (u,d) for all u € Ay(x). By [17,
Proposition 4.1.6], we deduce that # € dh(x), and hence, A2 (x) C dh(x).

(b) Letw € Ay(x).By (19), there existsy € CN F~!(w) such that (w,x—y)=0.
Since & € S, there exists w € F(X) such that

(w,y —x) >0, forall yeC. 21
By monotonicity of F, for all w € F(y), we have
O<(w—-w,y—X)=(w,y—x)+(w,x—y) <0,
where we used (21) and the fact that (w, y — x) = 0. Altogether, we have
(w—w,y—x)=0 with we F(y) and w € F(x).
Since F' is paramonotone, we have w € F(y) and w € F(x). Hence, for all
w € Ay(x), we have w € F(x). Therefore, Ar(x) C F(x). The opposite

inclusion follows from (20). The inclusion involving the subgradient of /2 follows
directly from (a) for x = x.

]

Remark 5 For ¥ € S and ¢ > 0, we can define enlargements of the set A (x) given
in (19) as follows.

Ax)={weR(F):3zeCN F~l(w) with (w,x —z)> —¢). (22)

With straightforward modifications, the proof of Lemma 2 (a) can be adapted to show
that A5 (x) C d:h(x).

4 Weak sharp solutions for generalized variational inequalities

In this section, we consider GVIP with solution set S. Unless specifically stated, F is
a set-valued mapping which is not necessarily maximally monotone.

Definition 5 We say that S is weak sharp if there exists & > 0 such that
aB C F(X) 4+ (Tc(¥) N Ng(x))°, forall ¥ €S, (23)

where B denotes the unit ball with center at origin in H. In this situation, we say that
S is weak sharp with parameter o.
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We will consider in our analysis the following alternative concept of weak sharp
solution, introduced in [6,24] in the context of error bounds.

Definition 6 Let g be a gap function for GVIP (as given in Definition 3) and assume
that g is convex, proper and lower semicontinuous. We say that S is weak sharp with
respect to g if there exists & > 0 such that

aB C dg(¥) + (Tc(X) N N3(x))°, forall X e S. (24)

In this situation, we say that S is g-weak sharp with parameter a.

The following proposition gives the characterization of a weak sharp solution set,
and will be used in the next section for establishing finite convergence.

Proposition 4 The solution set S of GVIP is weak sharp with parameter o if and only
if for every x € S there exists u € F(X) such that

(i, v) = allv], (25)

forallv e V(%) = Te(¥) N N5 ().

Proof Assume that the solution set S of GVIP is weak sharp. Then, for all x € B and
every X € S, we have

ax € F(X) + (V(X))°.

That is, there existu € F(x)andz € (V(x))° suchthatax —u = z € (V(x))°. Hence,
forall v € V(x) with v # 0, we have (ax —u, v) < 0, equivalently, o (x, v) < (i, v).

Take x = ”—5”, then « <ﬁ, v> < (i, v). That is, there exists iz € F (x) such that

alv] < (u,v), forall ve V(x).

Conversely, assume that (25) holds and let x € B. Forv € V(x) and u € F(x) as
in (25), we can write

(ax —u,v) = alx,v) — (u, v)
< ax,v) —afv]

=a({x,v) = [jv]) =0,

where we used (25) in the first inequality and the fact that x € B in the second one.
This implies that for all x € B there exists # € F(x) such that

ax —ii € (V())°.

Equivalently, ax € F(x) 4+ (V(x))° for all x € B. Hence, (23) holds. m|
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The next proposition gives the necessary condition for a weak sharp solution set of
a GVIP in terms of global error bound.

Proposition 5 If the solution set S of the GVIP is weak sharp with parameter «, then
h(x) > ad(x, S), forallx € C. (26)
Proof Given a fixed x € C, set x = Pg(x). Then,
x—x € Tc(x)NN3(X) :=V(X).
By Proposition 4, there exists u € F(x) such that
(u, v) > ajjv||, forallv e V(x).
In particular, (u, x — x) > ||x — x||. The definition of 4 and the inequality above yield
h(x) > (ii,x — %) > a|lx — %|| = ad(x, S).

Hence, (26) holds. O

The following propositions give some nice properties in terms of directional deriva-
tives or subdifferential of a function if the global error bound condition (26) is satisfied.

Proposition 6 Letx € S. If
h(x) > ad(x,S), forall x e C and o >0, 27

then h'(x; v) > allv|| for all v € V(x) = Tc(X) N Ng(x).
Proof Assume that (27) holds. If v € V(x) with v = 0, then trivially we are done.
So, we assume that v € V (x) but v # 0. In this case,

(v, v) = ||v)|*> > 0. (28)

On the other hand, the fact that v € V (x) implies that, in particular, v € Ng(x), and
hence B
(v,y —x) <0, forall yeS. (29)

This means that B
SCH, ={x:{(v,x —x) <0}. 30)

Since v € T¢(x), we have
v= lim v, 3n
k—o00

with X + frvx € C for all k and #; | 0. Combining (31) and (28), we deduce that for
all k > ko, (v, v) > 0, that is,

((x + trvr) — X, v) = tx(vg, v) > 0, forall k > kg.
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Equivalently, (x + fxvx) ¢ H, for all k > ko. This implies that their projection onto
the half-space H,~ will belong to the boundary of H,~, which is

H, ={x:{v,x —x)=0}.

Denote by zx := Py, (x 4 txvy) for all k > ko. Using also the inclusion in (30), we
can write B
dx 4+ tyvg, S) > d(x + tyvg, H)
=d(x + v, Hy)
= [|X + trvx — P, (X + frvp) ||
= [lx + fve — zkl-

(32)
By construction, the vector (X + fxvx — Zx) is a positive multiple of v. Namely, there
is a positive scalar A; such that

X+ tkvg — Zk = Agv.
Let us compute Ax. Since (v, zx — x) = 0, we have

0= (v, zx — X) = (v, trvg — Agv),

. o vk, v) ..
which readily implies that 1, = W This gives
v
- _ tr (vk, v
Zk = (X + o) — k(;z)
vll
Therefore,
. . 1k (Vk, V) 1 (U, v)
Iz — (X + o)l = vl =

Clvlr vl

Then from (32) and (27), we have

ti{vk, v)

h(x 4 noop) = ad (X + fvp, S) > « ol
v
Since h(x) = 0, we have

h(x + o) —h(x) (v, v)
Tk vl

Taking limit for k — oo and recalling the fact that #; | 0, we obtain
W (x,v) > allv],

as claimed. O
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Proposition 7 Let x € S and assume that (27) holds. If x € int(domh) and h is
continuous at X, then there exists u € dh(x) such that (i, v) > a||v|| forallv € V(x)
and a > 0.

Proof From (27), we have
W (x,v) >alv|, forall ve V() and o > 0. (33)

Since x € int(dom &) and 4 is continuous at x, we can use [17, Proposition 4.1.6 (b)]
to deduce that

K (X,v) = max (v, z).
zedh(x)

That is, there exists # € dh(X) such that 4'(x,v) = (v, it). From (33), we have
(u, v) = afjvll. o

Remark 6 In several papers, condition (26) is used as a definition of weak sharp
solutions of variational inequalities or optimization problems, see, for example [6,23,
24] and the references therein. In Propositions 6 and 7, we proved that if condition (26)
is satisfied then we have some nice properties in terms of directional derivatives or
subdifferential of a function. However, we could not establish the sufficient condition
for a weak sharp solution set of GVIP in terms of global error bound. This remains an
open problem, and the topic of our future research.

5 Finite convergence analysis

We say that an algorithm has finite convergence whenever all iterates belong to the
solution set after a finite number of iterations. In previous sections, we extended the
notion of weak sharpness to the framework of set-valued mappings. In the present
section, we show that our definition of weak sharpness ensures finite convergence in
this more general framework.

Moreover, at the end of this section, we observe that finite convergence can also be
obtained for paramonotone problems under the relaxed assumption that the solution
set is g-weak sharp.

The following theorem establishes a necessary condition for finite convergence. Its
proof is standard, we present it here for completeness.

Theorem 1 Let F : H = H be a set-valued mapping with nonempty domain. Let

{xk} © C N D(F) be a sequence generated by an algorithm with finite termination.
In other words, there exists kg € N such that x; € S for all k > ko. In this situation,

0 € limint Pr.(q)(—F(x")). (34)
k—o00
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Proof Assum_e that there exists kg € N such that x; € S for all k > ko. Then, by
definition of S, there exists u; € F(x;) such that

(g, y —x¢) =0, forall yeC,

that is, —uy € Nc(xx). Hence, Pr.(y)(—ux) = 0, and thus, there exists * =
Prop(—ug) C PTC(xk)(—F(xk)) such that 0 = limg_, . Hence, (34) holds.
O

The following theorem establishes conditions under which (34) is also sufficient
for a monotone mapping.

Theorem 2 Let F : H = H be a monotone set-valued mapping with nonempty
domain. Assume that S is closed and convex, and weak sharp with parameter o. Let
{xx} € C N D(F) be a sequence generated by an algorithm such that (34) holds.
Then, there exists ko € N such that x; € S forall k > k.

Proof Assume that the conclusion is not true. Then, there exists a subsequence {x; }
of {xx} such that x; ¢ S for all j € N. Without loss of generality, we may rename
{xk;} as {y;} for simplicity. Then, y; ¢ Sforall j € N.Letz; = P5(y;).Sincey; ¢ S
and z; € S, we have ||z; — y;|| > O for all j. By construction, we have that

vji=yj—zj € Tc(zj) N N5(zj) and zj — yj € Tc(yj)-

By weak sharpness and Proposition 4 applied to x = z; and to v; = y; — z; €
Tc(zj) N N(z;), there exists itj € F(z;) such that

(aj,yj —zj) = aly; —zjll, forall j,
which yields, for all j
o< <_ﬁj, ﬁ> 35)
ly; —z;ll
By (34), for all k there exists u; € F(y/) such that

lim PTC(yj)(—uj) =0. (36)
k— 00

By Lemma 1, monotonicity of F, and (35), we have

. Zi— i Zi—vyi
@= <—"/%yj>f<—“/%y]>
”)’j Zj” ||YJ Z]“

< max{(—uj.n) : 5 €Tk, Il < 1) 37)

= ”PTc(yJ)(_u])”a
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where we used monotonicity in the second inequality, and Lemma 1(b) in the last
equality. The above expression contradicts (36). Therefore, we must have finite con-
vergence. O

By combining Theorems 1 and 2, we have the following result.

Theorem 3 Let F : H = H be a monotone set-valued mapping with nonempty
domain. Assume that S is closed and convex, and weak sharp with parameter a.
Let {x;} € C N D(F) be a sequence generated by an algorithm. Then, x; € S for
sufficiently large k if and only if (34) holds.

Remark 7 Theorem 3 can be seen as a generalization and refinement of Theorem 5.2
in [14] and Theorem 3.2 in [20].

Remark 8 The assumption of monotonicity in Theorem 3 is standard in the literature
of weak-sharp minima (see, e.g., Theorem 2 in [14] and Theorem 4.2 in [19]). This
assumption is used for proximal-like methods and its variants, such as those studied
in [4]. The weak sharpness assumption has been mainly investigated for the point-to-
point case, and its validity in this case is equivalent to an error bound condition for
the gap function of the variational inequality (see, e.g., Theorem 3.1 in [11]). As for
the point-to-set case, examples of weak sharpness of the solution set can be found
in [19] for variational inequalities arising from nonsmooth constrained optimization
problems.

To establish finite convergence without monotonicity, we need to strengthen condi-
tion (34) (see condition (ii) below). We also need F to have a continuity property. On
the other hand, we do not assume that the sequence is bounded, which is a standard
assumption used in the literature.

Theorem 4 Let F : H == H be a set-valued mapping with nonempty domain. Assume
that the solution set S is closed and convex, and weak sharp with parameter . Let
{xx} € CND(F) be a sequence generated by an algorithm that verifies the following
properties.

(i) limg d(xk, S) = 0, and
(1)
(0} = lim int Proo) (—F(x5)). (38)

Consider the following two assumptions.

(A1) The map F is Lipschitz continuous on C N D(F).
(A2) The space H is finite dimensionql, the set F(S) is bounded, and F is closed
valued and inner-semicontinuous on S.

Under either of the assumptions (A1) or (A2), there exists kg € N such that x; € S
forall k > k.

Proof Consider first assumption (Al). If _the conclusion is not true, there exists a
subsequence {xk; } of {xx} such that xi; ¢ S forall j € N. Without loss of generality,
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we denote this subsequence by {x;}. As in the proof of the previous theorem, let
zj = Pg(x;). By assumption, we have that

li;nd(xj,g) =1i]£n lz; — x|l =0. (39)

By weak sharpness and Proposition 4 applied to x = z; and to v; = x; — z; €
Tc(zj) N N(z;), there exists it j € F(z;) such that

(j,xj —zj) =allx; —z;ll,

o §<_ﬁj, g> (40)
lx; —z;ll

Since F is Lipschitz continuous on C N D(F), there exists a constant A > 0 such that
F(z;) C F(xj) +Allzj — x|l B. 41

By (39), we can take jo such that, for j > jo we have that A ||z; — x| < /2. Hence,
for j > jo, (41) yields
F(zj) C F(xj)+ («/2) B. 42)

For j > jo, take it; € F(z;) as in (40). By (42), there exist n; € F(x;) and w; € B
such that
ij=nj+ (a/2w;, forallj> jo. (43)

On the other hand, (38) implies that for every sequence 0; € Pr, (xj)(—F (x)), we
must have

lim [|6; ]| = 0.
J

Using this fact for 0 := Pr.(x;)(—n;) € Prcx;)(—F(x})), there exists ji > jo such
that ' ”

1Preep(=npll < /4, forall j = ji.
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Altogether, (40) and (43) yield, for j > j;

Xi—2;i
a <(nj+ (@/Qwj, S 2
llx; — z;l

- <77j, ”jzf;zf>+ (a/2)<wj, ﬁ>

i —zjll llx; — z;jll

.
= (/2 +<_’“ e = ||>

< (@/2) + max{(—nj,u) : u € Texp), Jull < 1)
= @/2) + | Proep (—n)
< (x/2) + (@/4) = 3/4)«,

where we used the fact that w; € B in the second inequality, Lemma 1 (b) in the
last equality, and the assumption on jj in the last inequality. The above expression
entails a contradiction, which implies that the algorithm must have finite convergence
as stated.

Consider now assumption (A2). The proof follows the same steps until equation
(40). Since F(S) is bounded, there exists p > 0 such that ]l < p. Take this p, and
set ¢ := «/2 in Proposition 1 (ii) to find a 6 > 0 such that

F(zj) N B[O, p] C F(x) + (a/2)B, Vx € B(z}, ).
Take jo such that x; € B(z;, §) whenever j > jo, so we deduce that
F(zj) N B[O, p] C F(x)) + (@/2)B. ¥ j = jo.

Since itj € F(z;) N B[O, p]lwehaveii; € F(x;)+ (¢/2)B, ¥V j > jo. Hence, we are
in the situation of (43). The rest of the proof follows the same steps. O

Remark 9 Most algorithms for the variational inequality problem have some kind of
monotonicity assumption on the underlying operator. In the absence of any monotonic-
ity assumption, the usual setting is the one that has a point-to-point and continuous
operator (in the classical sense), see the recent work [21]. For a point-to-point continu-
ous map, all assumptions in (A2) of Theorem 4 hold, as long as F (S) is a bounded set
and S is weak sharp. The Lipschitz assumption in Theorem 4 (A1) can be relaxed by
the uniform continuity assumption on F. More precisely, G : R" = R” is uniformly
continuous on a set W C R™ if for every ¢ > 0, there exists a § > 0 such that for
every pair of points x, x’ € W we have

lx—x'| <6 = G&) cGx')+¢eB.
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The proof under this less restrictive assumption follows the same steps as those in
Theorem 4 under assumption (Al).

Remark 10 When F is paramonotone, we have seen in Lemma 2 (b) that
F(X) C dh(¥) forall % € §.

In this situation, whenever S is weak sharp with parameter «, then it is 4-weak sharp
with parameter «. This implies that, for a paramonotone F, h-weak sharpness is less
restrictive than weak sharpness.

Remark 11 Under assumption (34) and h-weak sharpness of S, Zhou and Wang
established in [24, Theorem 3.1] finite convergence to S. This implies that, when
F is paramonotone, the assumption of weak-sharpness may be relaxed by h-weak
sharpness, and finite convergence holds automatically under assumption (34). In fact,
paramonotonicity is only used to show that s-weak sharpness is a less restrictive
assumption than sharpness. Otherwise, the proof of the following theorem follows
directly from [24, Theorem 3.1]. We state this result in our framework.

Theorem 5 Let F be paramonotone and assume S is h-weak sharp. Let {x;} €
C N D(F) be a sequence generated by an algorithm such that (34) holds. Then, there
exists ko € N such that x; € S for all k > k.
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