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Abstract A competitive neural network model was proposed to describe the dynamics of
cortical maps in which, there exist two memories: long-term and short-term. In this paper, we
investigate the existence and the exponential stability of the pseudo-almost periodic solution
of a system of equations modeling the dynamics of neutral-type competitive neural networks
with mixed delays in the time-space scales for the first time. The mixed delays include time-
varying delays and continuously distributed ones. Based on contraction principle and the
theory of calculus on time-space scales, some new criteria proving the convergence of all
solutions of the networks toward the unique pseudo-almost periodic solution are derived by
using the ad-hoc Lyapunov—Krasovskii functional. Finally, numerical example with graphical
illustration is given to confirm our main results.

Keywords Time scales - Neutral-type competitive neural networks - Pseudo-almost periodic
solution - Global exponential stability - Leakage delays

1 Introduction

The human brain is made up of a large number of cells called neurons and their synapses. An
artificial neural network is an information processing system that has certain characteristics in
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common with biological neural networks. Recently, many researchers have been devoted to
the stability analyses, periodic oscillations and pseudo-almost periodic solutions of different
class of neutral-type neural networks (see [1,3,15,16]) due to their wide range of applications,
such as associative memory, pattern recognition, signal processing, image processing, fault
diagnosis, automatic control engineering, combinatorial optimization, and so on (see [7,10,
12,14]). Furthermore, over the last twenty years, Anke Meyer-Baese et al. proposed the so-
called competitive neural networks with different time scales in [2], which is used to model
the dynamics of cortical cognitive maps with unsupervised synaptic modifications. Different
from the traditional neural networks with first-order interactions, in this paper, we consider
a target model with two different state variables: the short-term memory (STM) variable,
describing the fast neural activity and the long-term memory (LTM) variable, describing
the slow unsupervised synaptic modifications. In addition, it has been reported that if the
parameters and time delays are appropriately chosen, the delayed competitive neural networks
in leakage term can exhibit complicated behaviors even with strange chaotic attractors (see
[13]). Based on the aforementioned arguments, the study of delayed competitive neural
networks and its analogous equations have attracted worldwide interest (see [3,5,15]). In fact,
it is natural and important that systems contain some information about the derivative of the
past state to further describe and model the dynamics for such complex neural reactions. Many
researchers have studied the dynamics of various classes of neutral-type neural networks (see
[1,3,15]). In real world, the mixed time-varying delays and leakage delay should be taken
into account when modeling realistic neural networks.

Recently, the concept of pseudo-almost periodic on time-space scales have been introduced
in [8], which generalizes the one of the almost periodicity on time-space scales, and the author
gave some properties of the space of pseudo-almost periodic functions on time-space scales.
Before moving on, the meaning of this notion will be explained firstly, we say that a /d-
continuous function f is pseudo-almost periodic on time-space scales if

f=g+9¢,

where g is almost periodic on time-space scales and ¢ is ergodic function, in the sense that,
forr € IT withr > 0

1 to+r
Jim o [ wwivs=o.
(wherefg € Tand IT := {t € R:t £ v € T, Vr € T} # 0.). Itis known that the existence and
stability of almost periodic solutions play an important role in characterizing the behavior of
a dynamical system. To the author’s best knowledge, there are few works on the existence
of almost periodic solutions and the periodic solutions for neutral-type competitive neural
networks (CNNs) [5,15], especially, for discrete time CNNs. Besides, little has been done
about the pseudo-almost periodic solutions on time-space scales for the competitive neural
networks with mixed time-varying and leakage delays. Therefore, it is a challenging and
important problem both in theories and applications.

On the other hand, controversial opinions arise from the possibility of equal roles displayed
by both continuous time and discrete time neural networks in various implementations and
applications. However, it is troublesome to study the dynamical properties for continuous and
discrete time systems, respectively. We should mention that, in many references, the networks
are described either by difference equations or by differential equations, that is, dynamical
systems are defines as Z or R. Stefan Hilger in his PhD thesis in 1988, proposed the famous
theory of dynamics equations on time-space scales which has been extensively studied and
developed, in recent years. In addition, pseudo almost periodicity is more universal than
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periodicity. Moreover, pseudo-almost periodic solutions on time scales were introduced in
[8]. This theory represents a powerful tool for applications in economics, biological models,
quantum physics, neural networks, Lotka volterra and among others.

However, from the time scales angle, it is known that R and Z are classical periodic time
scales that can be unified well by the following periodic time scale:

+00
U [k(a+ D), k(a+Db)+al, a,beR, k €Z. (D)
k=—o00

We can obtain [Ty = {n(a+>b), n € Z} as the periodicity set for the time scale (1). Obviously,
ifa=b=0,thenT=R;ifa=0,b=1,thenT =Z.

The remainder of this paper is organized as follows: In Sect. 2, we will present the model of
CNN:s. In Sect. 3, we will introduce some necessary notations, definitions and fundamental
properties of the space PAP (T, R") (which will be used in the paper). In Sect. 4, some
sufficient conditions are derived ensuring the existence of the pseudo-almost periodic solution
on time-space scales. Section 5 is devoted to the exponential stability of the pseudo-almost
periodic solution on time-space scales of a CNNs model, and the convergence of all solutions
to its unique pseudo almost periodic solution. At last, one illustrative numerical example is
given.

2 Model Description

In this paper, we consider a new n-neuron neutral-type competitive neural networks with
mixed time-varying delays and leakage delays on time-space scales which is defined in the
following lines:

STM : x) (1) = —e ()x1 (t — 1 () + Z Dy (1) fj (xj (D)
+ _Zl D, (1) f (xj (1 = 7;0)) + Z Dy; t)/;frrlj(t) i (xj () Vs
J= j=1
+ DO g0 ) (<Y ) Vs + B Xy @y +h ).

X (1) = —aa(D)x2 (1 — (1)) + Z Dy (1) fj (xj ®)
j=1

n

+ 2 D50 (xj (r = ;@) + Z Do (1) J;- —ar) Fi (xj () Vs

n

+ 2 Do 0 f] 0 i (] @) Vs + Ba(t) Z maj (1)) + 1 (1),

(@)

2V (1) = —an (0 (¢ — 10 (1)) + i Dy (1) 7 (x; ()

n

+ Z Dn] (t) f/ (X_]' (l - T”.i(t))) Z nj (l)ﬁ opj (1) f] ( Xj (‘3)) Vs

+ _z] B 0 [0 13 (X7 ) Vs + Ba ) Z] M O + 1 (1)
j= j=

LTM : mlvj(l) = —c1(O)my;(t — c1(1)) +}/jE1(‘t)f1(X1(I)) + J1(1),
m2vj (1) = —c2()maj(t — 62(1)) + yj E2(t) f2(x2(2)) + J2(1),

my () = =cp (O (t = 6u (1)) + ¥ En (1) fu (& (D)) + Ju (1), 1 €T,
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where j = 1,...,n; T is an almost periodic time scale; x; (¢) is the neuron current activity
level ( = 1,...,n); a;(t), ci(t) are the time variable of the neuron i (wherei =1, ..., n);
fi(xj())is the output of neurons; m;;j (¢) is the synaptic efficiency; y; is the constant external
stimulus; D;; (1), D’/ 1), Dj; (1), D, j(¢) represent the connection weight and the synaptic
weight of delayed feedback between the ith neuron and the jth neuron respectively; B;(t)
is the strength of the external stimulus; E;(¢) denotes disposable scale; /;(¢), J;(t) denote
the external inputs on the ith neuron at time ¢; 1; () and ¢; (¢) are leakage delays and satisfy
t—nit) €T, t —git) € Tfort € T; 7;5(t), 0;;(¢) and & (¢) are transmission delays and
satisfy t — 7;;(t) € T,t —o0;;(t) e Tand t — §;;(t) € T fort € T.

The neural network is modeled by a system of deterministic equations with a time-
dependent input vector rather than a source emitting input signal with a prescribed probability
distribution. By setting §; = Y5 m;;j(t)yi = YTm;(1), where y = (y1, 2, ..., ya)",
mi = (m;1, mj, ..., mip)" and, without loss of generality, the input stimulus Y is assumed
to be normalized with unit magnitude |y|> = 1, summing up the LTM over j, then the above
networks are simplified and we obtain a state-space representation of the LTM and STM
equations of the networks:

STM: Xi (t) = —o; (1)x; ¢ — i (1)) + Z D;; @) f] (x] (t))
‘]7

#0500 (- 0) + 3050 [ g ) vs
= j=1 t—0ij(t) S
N t

+ 2 Dij (1) / fi (xJ-V (s)) Vs+ Bi(1)S;(t) + 1; (1),

j=I1 1=§;;(1)

LTM:SY (1) = —ci()Si(t — i (1)) + Ei(t) fi(xi (1)) + Ji(t), 1 €T,

For convenience, we introduce the following notations:

o =suplo; (1), o] = inf |a; (1)] > 0, ¢ =suple; (0], ¢ = inf |ci ()] >0,
te

teT te teT

=sup|ni ()], ¢ =suplsi(®)l, B =sup|B;i(1)l, E} =sup|E;(),
teT teT teT teT
D =sup|D; (1), (D)™ = sup|Df ()], D;=sup|DU<z)|,

teT teT eT
(D" = sup |Df (1), sup|D,,(z>| (Dij)™ = sup | Di; (1)l
teT
T = sup|rl,<r>| = suploy; ()], &7 =supl&; ], i, j=1,....n

teT teT teT

We denote [a, b]T = {t,t € [a, b]NT}. The initial conditions associated with system (2),
are of the form:

xi (9) = @i (s), Si(s) =¢i(s), s €[-0,0l7, 1 <i=<n,

where ¢;(.) and ¢;(.) are the real-valued bounded V-differentiable functions defined on

[0, 0]T, & = max{n, 7,0, &, ¢}, n—maxn , T = max ‘C+
1< ! 1<z]<n i’

0 = max ol.j,f,: = max S andg— max gl.j, i,j=1,...,n
1<i,j<n 1<i,j< 1<i,j
Remark 1 This is the first time to study the pseudo-almost periodic solutions of system (2)
for the both cases: continuous and discrete. Besides, since it studies almost periodic problem,
although paper [15] deals with V-dynamic systems on time scales, its results also cannot be
applied to (2).
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Remark 2 In [13], the authors only consider the constant delay and the constant leakage
term:

STM:x) (1) = —o; (t)x; (t — &) + 'Zl Di;() fj (xj () + Z] Di(0) fi (xj (r — wj))
J= J=

+ Bi (1) Si (1) + L; (1),
LTM:SY(t) = —ci()Si(t — ) + Ei(0) fi(xi () + J;(t), i=1,....n, t€T.

If the leakage delays are constants and the coefficients D; (@) = 5,- (@) = 0, it is clear
that the model in Liu et al. (2014) is a special case of the system investigated in this work.
Furthermore, model (2) is more general than model in [13].

3 Preliminaries and Function Spaces

In this section, we will introduce some basic definitions of time scales which will be used as
the proof of our relative results.

A time scale T is a closed subset of R. It follows that the jump operators o, p : T — T
defined by o () = inf{s € T:s > ¢t} and p(t) = sup{s € T:s < ¢} for all+ € T. A point
t € T is called left-dense if t > inf T and p(¢) = ¢, left-scattered if p(¢) < ¢, right-dense if
t <supT and o (¢) = t, and right-scattered if o () > ¢. If T has a right scatter minimum m,
define Tj: = T\m; otherwise, set T* = T. The notations la, blT, [a, b)T and so on, we will
denote time scale intervals

la,blr = {t € T:a <t < b},

where a, b € T witha < p(b).
Finally, the graininess function v:T — +o0 is defined by v(¢) =t — p(¢), forall ¢t € T.

Definition 1 ([4]). The function f:T — R is called ld-continuous provided that it is
continuous at each left-dense point and has a right-sided limit at each point, write f €
C1a(T) = Ci1q(T, R). Let r € T* the Nabla derivative of f att to be the number (provided
it exists) with the property that given any € > 0, there is a neighborhood U of t (i.e.,
U=(t—-23,t+38)NT for some § > 0) such that

Fp@) = f(s) = fVIp@) —S]‘ <é€lp@) —s|, forall s € U.

Let F be a function, it is called the antiderivative of f:T — R provided F’ Vi) = f@®
foreach r € Ty. If FV(¢) = f(¢) then we define the nabla integral by

/t f(s)Vs = F(t) — F(a).

A function p:T — R is called v-regressive if 1 — v(¢)p(¢) # O for all r € Tk. The
set of all v-regressive and left-dense continuous functions p:T — R will be denoted by
Ry = Ry(T) = R, (T, R). We define the set

R =RIT,R)={peRy:1—v(t)pt) >0, Vt € T}.

If p € R, then we define the nabla exponential function by

t
e(t,s) =exp (/ év(r)(p(r))Vr> , forall t,s €T,
s
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where p-cylinder transformation is as in

. —Llog(1 +zh), ifh#0
. h s
(@) "{z if i =0.

Definition 2 ([4]). Let p, g : T — R are two regressive functions; define
p()
1 —vp(r)
Lemma 1 ([4]). Assume that p, q : T —> R are two v-regressive functions, then
(i) éo(t,s) =landey(t, 1) =1;
(i) ep(p(t),s) = (1 —v(t)p)ep(t, s);
(i) &,(t,5) = 575 = een(s, ),
(iv) ep(t,5)ép(s,r) =ép(t,r);
V) @p(t. )Y = (p)(1)ep(t,s).
Lemma 2 ([6]). For each ty € T in T\Ty the single-point set {to} is V-measurable and its
V-measure is given by vy ({to}) = v(ty) — to.

(p®vq)@) = pt) +q@) —vpt)q(t), Sypt) =— , POvg =pd(6vq).

For more details of time scales and V-measurability, one is referred to read the excellent
books ([4,6]).

Lemma 3 ([9]) Let f, g be nabla differentiable functions on T, then:

1) M f+2120)Y = A fY + ragV, for any constants i, Aa;
(i) (fV@) =Yg+ flp)g®Y = fDg¥ 1)+ fY(1)g(p));

(ili) If f and £V are continuous, then (fat f(t, s)Vs)v = f(p(),t) + fat f(t,s)Vs.

Lemma 4 ([9]) Assume p € Ry andty € T.If1—v(t)p(t) > Ofort € T, theneé,(t, ) > 0
forallt € T.

Lemma S Suppose that f (t) is anld-continuous function and c(t) is a positive ld-continuous
function which satisfies that c(t) € R} Let

t
g(f)Z/ e—c(t, p(s)) f(s)Vs,
1

0

where ty € T, then
t
gV () =f@) - C(t)/ é_c(t, p(s)) f(s)Vs.
1o

Proof

t v
$V (1) = ( / oot p(s))f(sWs)
1
0 , .
_ (é_c(r,rm [ o lto, p(s))f(sWs)
to
t
o (p(1), 10)e—cltor p (D) (1) — c(D)ect, 10) / e_e(to, p(s) F($)Vs
0

t
— £ - ) / o_clto. p()) f(5)Vs.
1o
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Definition 3 ([9]) A time scale T is called an almost periodic time scale if

II: ={teRitEt7eT, VvVt eT} #0.

Definition 4 ([9]) Let T be an almost periodic time scale. A function f € Ciz(T, R") is
called an almost periodic on T, if for any € > 0, the set

EE€ fy=1{rtel|ft+1)— f(t)] <€Vt €T},

is relatively dense; that is, for any given € > 0, there exists a constant /(¢) > 0 such that
each interval of length /(€) contains at least one T = 7(€) € E(e, f) such that

|f(t+7)— f@)| <€,V eT.

The set E (e, f) is called the e-translation set of f(¢), t is called the e-translation number of
f () and I(¢) is called the contain interval length of E (e, f).

Let AP(T) = {f € C14(T, R): f is almost periodic} and BC (T, R") denote the space of
all bounded continuous functions from T to R”. Define the class of functions P A Py(T) as
follows:

PAPy(T) = {f € BC(T,R"):f is nabla measurable such that

r—>+00 2r J,_,

1 to+r
lim —/ |f(s)|Vs =0, where toeT,rEH}.
1o

Definition 5 ([9]) A function f € C;4(T, R") is called pseudo almost periodic if f = g+ ¢,
where g € AP(T)and¢ € PAPy(T). Denoteby P A P(T), the set of pseudo-almost periodic
functions.

By Definition 5, one can easily show that

Lemma 6 ([9]) If f,.g € PAP(T), then f + g, fg € PAP(T); if f € PAP(T), g €
AP(T), then fg € PAP(T).

Lemma7 ([9]) If f € Cia(R, R) satisfies the Lipschitz condition, ¢ € PAP(T), 6 €
C}(T, IT) and n := ianr (1=0Y(@) > 0, then f(p(t —60(1))) € PAP(T).
te

4 The Existence of Pseudo-Almost Periodic on Time-Space Scales
Solutions

In this section, we will present a new condition for the uniqueness, global exponential sta-
bility for pseudo-almost periodic solutions of (2) and the convergence are also derived. The
existence and uniqueness of pseudo-almost periodic solution are given based on Banach’s
fixed point theorem and the theory of calculus on time-space scales.

Let

B={(01, 02 s Ons $1, 02, - ) 21, € CHT,R), i = 1,...,n).

,,,,,

Banach space.
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For every ¥ = (¢1, ... ¢n, &1, ..., ¢n) € B, we consider the following system
xY (1) = —ai (Oxi (1) + Fi(t, ¢), SY (1) = —ci(Oxi(t) + Gi(t, 1), t €T, (4

where, fori =1,...,n

1

Fi(t, ¢i (1)) = a; (1) @Y ()Vs + Z Djj (1) fj (@j (1))

t—n; (1) j=1

n n t
+) D5 @) fi (0 (t = wij®)) + Y _ Dij (1) fi(@j () Vs

j=1 j=1 1—0yj (1)
n t
+3° B (o) 13 (6] ©) Vs + B () + 1 (1),
j=1 t—§;j(t)
t
Gi(t, ¢i(t)) = ci(t) ( )¢7 (Vs + E; (1) fi (@i (1)) + Ji (¢).
1—gi(t

Let yy (1) = (X, (1), - -, X, (1), Sgy (1), - ., S, (1)), where
t
xq;[(l)Z/ e—a,;(t, p()) Fi(t, 0i(s))Vs,

t
S¢,-(t)=/ e—;(t, p(s))Gi(t, $i(5)Vs,

Let us list some assumptions which will be used throughout the rest of this paper.

(Hy) Foralll <i, j < n,,thefunctions¢; (), ¢c; () € Rj‘ and D;; (.), Difj(.?ﬁ,’j(.), 51’;’ ),
Bi(), Ei(), 1i(), 6i(), 1ij (), 0i; (), &j(), L (), Ji(.) are Id-continuous pseudo-
almost periodic functions fori, j =1, ..., n.

inf (1 - rY(z)) ~ 0, inf (1 - a.V.(z)) ~ 0 and inf (1 - gY(z)) > 0.
teT L teT L teT L
(Hz) The functions f; (-), are V-differential and satisfy the Lipschitz condition, i.e., there

are constants L; > 0 such that for all x,y € R, and forall 1 < j < n, one has
|fi )= fi O] <Ljlx—yl.

(H3)
M; Oél-+ N; C?—
max { —, |1+ —|M;, —, |1+ —=|Nig =1,
1<i<n o; o; ¢ C;
+

M; o \— N; i\ -
max { —, |1+ — | M;,—, |14+ — | N;i;y <1,
1<i<n o; o; e ¢

where r is a constant, and fori =1, ..., n
n
. -
M; = o nfr+) (Dj;+(D§,)++D,»jo; + Dj;-SJ) (Ljr +1f; O+ BFr + 1",
j=1
n n
M =onf+) (D; + (D)t + Dot + D;EJ) L;+ B,
j=1
Ni = ctetr + EF(Lir + 10D + T Ny = ¢ 6" + E" L.
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Lemma 8 Suppose that assumptions (Hy) — (H3) hold. Let F = {{y € B : ||l < r} and
define the nonlinear operator I' : ¥ — F by for each € PAP(T, R")

(') (@) = yy (), ¥ el

Then I maps PAP(T, R") into itself.

Proof We show that forany € F, I'y € F.

i o)l = o) [ oY @Vu+ Y Dij ) f; (x5 ()

=i (s) j=1

+ Z D) fi (x) (s — mij(9))) + Z D (s) fi (xj (@) Vu

P 503 (5)

+ ZD; of, ()f; (+7 @) Vu+ Bi)Si(5) + 1i (5)
<o /s
s=n;(s)
Z(Dr £ (0 (s = r,-,,-(s)))|+25,~+j f ()If.; () )| Vu
j=1 §—0jj (s
+ZD /

S— lj(s)

o7 | W+ZD 7 (0j )]

£ (97 @)V + BF i) + 17
<ofnfr+ Z DY (Ljlej )] +]£;0)])
j=1
+ Z(ij)+ (L)) (s = )]+ | £;0)])

+ZD,, ot (Ljr +|£;0)])

+ZD+$+ (Ljr +|f30)]) + B 1 () + I

fMl'.

In a similar way, we have
IGi(s, ¢i(s)| = Ni.
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Which leads to, fori =1, ...,n

t
sup |xy, (1)| = sup / é_o—(t, p(s)Fi(t, i (s))Vs
teT teT |J—o0 !
t
< sup/ é_,(t, p()) |Fi(s, i ()| Vs
teT J —o0 !
M;
a;7
and,
t . Ni
sup [Sg, ()| =sup | [ &, (1, p(s)Gi(t, $i()Vs| < —.
teT teT |J—o0 C;
Otherwise, fori =1, ..., n, we have
t v
sup [x7 ()] = sup ( / é_a,«r,p(s))F,-(t,go,-(s))Vs>
teT teT —0o0
t
= sup |Fi(t, i (1)) _“i([)/ e_qo; (t, p(s))Fi (t, 9i(s))Vs
teT —00
n JR—
<ofnir+y (D; + D+ Dy tor + (D,»j)+g,.j) (Lr+|f;0)
j=1
ot n .
FBIr 4T afnfr ) (D + (D) + Dyt
i j=1
+ (131-,»)*5;) (Ljr +| ;O + B r + It
ot
=11+ 7’_ M;.
.
l
Similarly,

+
- ‘Sv(t)‘ < (1 n c") N;
P |9¢; = o i-

teT i

From hypothesis (H3), we can obtain

Iyl < r,

which implies that operator I” is a self-mapping from [F to F.

Theorem 1 Let (Hy) — (H3) hold. The system (2) has a unique pseudo-almost-periodic
solution in the region F = {y € B : ||Vl < r}.

Proof 1t suffices to show that the operator I is a contraction mapping.
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First, for ¥ = (g1, ...

sup || x4, (s) — x,; ()| <
seT

Besides,

wTd@—de

IA

IA

T
s¢na¢17"~»¢ﬂ) ,Q:(l/l],...,un,l)],...,vn)TeF,WehaVe

1
o+
—sup | o, m;
®; seT

o () = u &) + X2 D i) — w0
j=1
+ Z(D DL i = Tij() —ujls — i (o)
+ Z(ﬁu)“ﬂfﬁ lej(s) —uj(s)|
j=1

+ 2B LEs o] ) uY ) + B |eiw) - v )]
j=1

07 ot + Z (Dl.j + (DIt + Dt + (Bij)%ij) L
1

+ B}") II!#—QIIB

M;
— ¥ — 2|B.
o

i

1

+ 0+
——sup { «; 1n;
o seT

o ) —uY &) + 0 D lgr ) — i 0]
j=1
+ Z(D L [ @ils = 7ij(5)) —uj(s — wij () |

+Z(D,,>+L 0, i) —uj)|

j=1

+ Y DitLgs o] o) —u ) + B 656 — v 0]
j=1

— e, +Z(D§+(D3)++(Dl,>+o +BiEs) L

i

+ B) Il — 2ls

et @ —u¥ o + 3 pf i) —wwl
j=1

+ Z(D DL @j(s —ij() — uj(s — 7ij ()]
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+Y DL i) —u;)|
=1

+ 3 BiptLigs oY @ —uf ) + B 05— vi)]
j=1

1 " _ N
< — e+ 20 (0 + @5+ DipTor; + (Dl L
i j=1
+ B v — 218
+\
< (1 + ’_> M|y — 2|B.
o;
Similarly,
N,
sup || Sg, () = Sy, O] = | = ) Iv — 21,
seT ¢
and
e\
sup | 559) = SV 0| = (142 ) Willy - 21,
seT Ci
therefore,

|y — 2| <« — 2|g, where « < 1.

According to the well-known contraction principle there exists a unique fixed point y* (-)
such that I'y* = y*. So, y* is a pseudo almost periodic solution of the model (2) in F =
{v € B: ||¥|lp < r}. This completes the proof.

Remark 3 To the best of our knowledge, there have been no results on the pseudo almost
periodic solutions on time-space scale for competitive neural networks with time varying
coefficients, mixed delays and leakage until now. Hence, the obtained results are essentially
new and the investigation methods used in this paper can also be applied to study pseudo-
almost periodic solutions on time-space scale for some other types of neural networks, such
as Cohen—Grossberg neural networks.

Remark 4 In practice, time delays, leakage delay and parameter perturbations are unavoid-
ably encountered in the implementation of competitive neural networks. They may destroy
the stability of pseudo-almost periodic solution of competitive neural networks, thus it is
crucial to study the dynamic behaviors of pseudo-almost periodic solution of competitive
neural networks with time delays, leakage term and parameter perturbations.

5 Global Exponential Stability of Pseudo-Almost Periodic Solution and
the Convergence of All Solutions to Its Unique Pseudo Almost Periodic
Solution

In this section, we will study the exponential stability of pseudo-almost periodic solutions of

(2):
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Definition 6 Let Z*(r) = (x} (1), x5 (1), ..., x (). S} (), S5@),....5F (r))T be a
pseudo-almost periodic solution on time-space scales of system (3) with initial value

V() = (ef (0,95, ek ()T (0., P (r))T. If there exist con-
stants y > 0, ©,y € R4 and M > 1 such that for every solution Z (t) =

(x1 @, x5@), ..., % ), S1 (), S2(),..., S (t))T of system (3) with any initial value
1»Z/(t) = (‘Pl (f)a(PZ(t), 7¢n(t)s¢l (t)7¢2(t)a s¢l’l (t))T’ vt € (Oa‘f‘OO)TJ = to,

|z @) —z* @], = max {||x @) = x* )] 1x¥ @) = x*Y (@) lloo,
[$ @ =5 O] 157 ) = 57 )l
< Megy (1. 10)[1¥]l

= Meoy (1,100 sup max {[lg ) = ¢* O], [¢¥ ) = ¥ 0
te[=y,0lr o

lo @) —¢* @)

AMOETAKO NS
o0
where 1y = max{[—6, O]t}. Then Z* (-) is said to be globally exponential stable.

Theorem 2 Let (Hi)—(H3) hold. The unique pseudo-almost periodic solution of system (2)
is globally exponentially stable.

Proof From Theorem 1 the system (2) has one and only one pseudo-almost periodic solution
on time scales Z*(¢) = (x{(¢), ... x5 (1), ST, ..., S,’f(t))T € R" with the initial condition
V) = (9F (), . o (), ¢ (@), . )T

Let Z(t) = (x1(t), ..., x,(t), S1(¢), ..., S, (¢t)) one arbitrary solution of (2) with initial con-
dition (1) = (91 (1), ..., pa (1), p1(2), ..., pu ()T

From system (2) we obtain:

t n
uy (1) = —oi (Du; (1) + i (1) / ul ()Vs+ Y Dij (1) pj (u;(®))

1=n; (1)

j=I
n n o __ t
+ 2 Dj; (1) pj(u; ((r—7ijm))+ X Dij (t)/ pj(uj(s) Vs
=1 ) . =1 1-03j (1) (%)
> Dij (1) hy (4 ) Vs + Bi 0w o),
j=1 1§ (1) .
W¥ (1) = —ci (v () + i) / uY (5)Vs + Ex(O)pi(ui (1)) 1 € T,
t—g;i(t)

where u; (1) = x;(t) — x; (1), vi(t) = Si(t) — S7 (1), pj(uj(®) = fj(x;@®) — f;(x7 @),
hj(xjv(t)) = fj(xjv(z)) - fj(xjv(t)), for i, j = 1,...,n, the initial condition of (5) is
ui(s) = ¢i(s) — @7 (s), s € [=0,0Ir, vi(s) = Pi(s) — ¢7(s), s € [0, 0], where
i=1,...,n.

Multiplying the first equation in system (5) by é_g, (o, p(s)) and the second equation by
é_, (to, p(s)), and integrating over [fy, t]T, where 7p € [—0, O]T, we obtain
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t t
ui (t) = u; (to) e, (¢, to) +f e o (t, p(s)) (oz,- (s) MiV(M)VM
fo s=1;(s)
+ Zl D;j (s) pj ( ](?)) + Z D} (S)P](MJ ((S - Tij(S)))
]=
g] S) -[:Slfa,'j(s) p/ (u/ (I/l)) Vu (6)
n t
Z hj (ujv (u)) Vu + B;(s)v; (s)) Vs
j=1 s=&ij(s)
v; (1) = vi(to)é—c; (t, 10) + ftf) é_e;(t, p(s)) (Ci (s) fs i) Vi vy ()Vu
+Ei(s)pi(ui(s)) Vs, t €T,

Now, we define G;, G;, H; and H; as follows:

Gi(w) =a] —w— | exp (w sup v(s)) (et exp (wn) + Z
seT

+ Z(D )+L exp (wt ) Z DUL a exp (wo}L)
n
+ Z D;;Ljéij? exp (wéi'}') + Bi+ ,
j=1
Gi(w)=c, —w-— (exp <w sup v(s)) s exp (weh) + E;’L,) ,

seT

Hi(w) =a; —w— (ozi+ exp (w supv(s) + o — ﬁ) (e ;" exp (wn")
seT

+ZD L +Z(D VL, exp(wl' )+ZDUL oljexp< +)

j=1

+ZD+L S*exp( g.)—|-B;r ,

Hi(w) = ¢ —w— (c;r exp (w supv(s) +c¢; — w) cfgf exp (w§i+) + EiJrLi> ,
seT

wherei =1,...,n, w €]0, +o0l.
From (H3), we have

Gi(0) =a; — [y +Z(D++(D’)++D” o + Dl )Lj—i—B;_ -0,
Gi(0) =c; — (st + Ei*Li) >0,

Hi(0) = o7 — (o +eo;) [ o n; +Z(D;;+(ij)++D,,al]+D;§§J)LJ~+B;L >0,
H. — + +7. P

Hi(0) =c¢; —(¢; +¢; )(ci gi +E'L)>0,i=1,....n

@ Springer



Pseudo-Almost Periodic Solution on Time-Space Scales... 733

Since the functions G; (.), G;(.), H;(.) and H;(.) are continuous on [0, +00) and G; (w),
G;(w), Hi(w), Hj(w) — —oo when w — 400, it exist n;, l;, €;, & > 0 such as
Hi(mi) = Hi(mi) = Gi(e;)) = Gi(&) = 0 and G;(w) > 0 for w € (0,n;), Gi(w) >
0 for w € (0,7n;), Hi(w) > 0 forw € (0,¢;), Hi(w) > 0 for w € (0,¢;). Leta =
112121 {ni, ni, €, €}, we obtain

Hi(a) >0, Hi(a) >0, Gi(a) >0, and Gi(a) >0, i=1,...,n.

So, we can choose the positive constant 0 < y < min {a,a; , ¢; },
1<i<n

such that H;(y) > 0, H;(y) >0, G;(y) >0 and G;(y) >0, i =1,...,n. which
imply that, fori =1,...,n

1 n n
— Z exp(y su%) v(s) | o + Z (D; + (Difj)+ + Duol,
. = s€ —

Stet
+Dijgij)Lj +BH] ] <1,

(exp(y sup v(s))c R EITFL,-) <1,

¢ =Y seT
O‘i exp(y sup v(s)) n
. - seT Z exp(y supv(s)) | o n + Z (D+ +(D}))
o —y st seT
+D,J ; D+S+) L + B+ <1,

cl.+ exp(y sup v(s))

1+ —— (st +EfL) <1,
c; -y
Let
o,

K = lm?lX n L s

<<

<i<n (¥i+77i++ Z] (D++(Df)++DU 0jj +D+£: )Lj -i-Bi+

J=
@ ™
cfgf—i—Ei*Li .

By hypothesis (H3), we have K > 1, therefore,

1Z(@t) = Z* Dl < Kég,y(t, 10) 1V llo, Vt € [to, O, ®)
where ©,y € R;. We claim that

1Z(t) = Z* )|l < Kég,y (¢, 10) ¥ llo, Vt € [to, +00)7. (C))
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To prove (9), we show that for any @ > 1, the following inequality holds:
1Z(t) = Z* )|l < mKég,y (t, 1)1V llo, Vi € [to, +00)T.
If (10) is not true, then there must be some #; € (0, +00)T, d > 1 such that
1Z(t1) = Z* (1) = dw Kég,y (11, 10) 1Y llo,

and
1Z(t) — Z*(1)|| < dw Kég,, (1, t0) |V llo. t € [to, 11]T.

By (6), (11), (12) and (H{)—(H3), we have fori =1,...,n

n

lui (1)] < e—q (tl,to)lllﬁllo+dwKéevy(t1,t0)||1/f||of e—q; (11, p(s))ey (t1, p(s))

fo
s n
x af/ & (), WVu+ " DfLie, (p(s), )
s=ni(s) j=1

s

n
A -+ N
+ (D Ljey(p(s),s —Tij() + Y _ DL, / &y (p(u), u)Vu
=1 s—0jj(s)

N

n
+ Zﬁ;Ljf éy(p(u), u)Vu + B | Vs
j=1 §

—&j(s)

n
= é—ai(fl’IO)WHO‘Fﬁleéevy(fhfo)lllﬁllo/ e—q; (11, p(s))ey (1, p(s))

fo

n
x | e ento(s) s —ni(s)) + ) DFL&y(p(5).5)
j=1
N

DI Liey (p(s). s = 13 (5)) +ZB;L,»/ &y (p(u). )Vu

i=1 s—0jj(s)

N

n
+ Zﬁ;p,-/ ey (p(u), u)Vu + B;" | Vs
j=1 '

—&ij(s)

n

= é—ai(fl’IO)WHOerlUKéevy(fhto)lllﬁllo/ e—q; (11, p(s))ey (11, p(s))

fo

seT seT

n
x | o nfexp |:y <’71+ + sup v(s)>i| + Z D;]L.Lj exp <y sup v(s))
j=1

(10)

an

(12)

n
—+
+ (Dl.’j)+Lj exp |:y <‘Ci-; + suj;; v(s)>:| + E Di./'Lf exp [y (oi‘}' + su%v(s)>j|
se se

Jj=1

n
+ Z 5;;Lj exp |:y (S[-}_ + sup v(s))] + B | Vs
i=1 ’ seT
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R 1,
<dwKeg,, (t1,10)I¥llo {*efot,-eevy([l’ fy) + |:CXP (7/ sup V(S)>
K seT

n n
x | ot expyn) + ) DELj+ ) (D)L explyT))
j=1 j=1

n n
- -
+ ) Dot Lijexp(yol) + ) DSLi&T exp(ré)
j=1 j=1

1 —eé_g@,y (1, t0)
+ B Ly
a —y

< dwKé 11 + + +
= dwKég,y (. 0Vl § £ = — exp v supv(s) | (e n;" exp(yn;)
o =Y seT

n n
+Y DL+ Y (D) LjexpyT))
j=1 j=1

n n
- -
+ D Dot Lijexp(yol) + ) DfLi&T exp(yé)
j=1 j=1

) 1
+ B e-qi,y (1, 10) + —— . (eXp (V sup v(s) (o5 n;" exp(yn;")

i seT

n n

+ +

+ E DiLj+ E (Di’j)"'Lj exp(y7;;)
j=1 j=1

n n
. _
+ 2 DyofLiexp(yor) + 3 DiLi&T exp(vel) | + B
=1 j=1

< dwKég,, (1. 1)1V llo- (13)

In addition, we have

3

i (1) = e—¢; (1, 1) 1Y llo +dwKéeUy(t1,to)||1/f||o/ e—¢; (11, p(s))ey (11, p(s))

fo

s

X <cl+/ éy(p(u), u)Vu + E?‘L,») Vs
s—gi(s)

3]

éfc,-(tl,to)llllfllo+dwKéevy(t1,to)||1/f||o/ e,y (11, ()

fo
x (¢ i ey (p(s), s — si()) + E;"Li) Vs
3l

<é_q(t, 10V lo +dwKéevy(tl,to)||W|lo/ e,y (11, ()

fo

X (cfgf exp [y (gi+ + su% v(s))] + E;FL,-) Vs
se

A 1 1
< dwKeg,y (1, 10)1Vlo {|:K T (exp [7/ (§i+ + sugv(s))]
i NS
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N 1
+ EfL,‘)] e_co,y(t, o) + i (exp |:y <§i+ + sup v(s))] + EfL,-)]

; seT
< dwKéo,, (1t 1)V llo.

We can easily obtain some upper bound of the derivative IuiV (t1)| and Iuiv(tl )| as follow:

luy (1) < doo Kég,y (11, t0) 1V [lo. (14)
and
v ()] < do Kég,, (t1, 1) 1Y lo. (15)
From (13) to (15), we obtain
1Z(t) — Z* ()| < dw Kég,y (11, 10) ¥ o (16)

which contradicts (11), therefore (10) holds. Letting @ — 1, then (9) holds. This implies
that only pseudo-almost periodic solution of system (2) is globally exponentially stable.

Theorem 3 Suppose that assumptions (Hy)—(H3) hold.
Lety* (1) = (xi“ e Xy ()5, 8T S (-))T be a pseudo-almost periodic solution
of system (2). If

n

min {o; =Y L; <D;; + (D5 + D) ot + (5,-.,)+$;) _EFL;

~

then all solutions y = (@1, ..., On, d1, ..., On) of (2) satisfying
x7(0) =@ (0), S7(0)=¢i(0),1<i<n,
converge to its unique pseudo-almost periodic solution y*.

Proof Let y* (-) = (x] (), .... x5 (), S (), ..., S (")) be a solution of (2) and ¥ (-) =
1)y on ()1 ()., ¢n () be apseudo almost periodic solution of (2). First, one
verifies without difficulty that

t t

v A\Y
<x§k (1) — a; (1) Xi (M)Vu> — ((ﬂfk (1) —ai(0) @i (M)Vu)

t—n; (1) 1—n; (1)

= —a; (1) (x] (1 = i (1) — @i (t — i (1)) + Z D;jj (1) I:fj(x; ®) — filp; (f))]

J=1

+ D5 O £ (0= wO) = £ (=7 0))]
j=1
t

#3050 [ 6500 60 @ - w)] v
j=1

1—0;j (1)

n 1
+>" Dy / (£ (pT @) = £ (o] @) Va,

j=l 1=§;j(t)
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and

SY(6) = ¢ (1) = =i (1) (Si(t = 5i) — ¢i(t — i) + Ei (1) (fi (xi (1)) — fi (i (1)) .

then,

SY (1) — ¢ (1) = —ci(t) (Si(t — i) — it — 1)) + Ei (1) (fi (i (1)) — fi (@i (1))
then

t t

Y A\Y
<Sf (t) —ci(?) Si (M)Vu) - <¢{k () —ci(t) oi (M)Vu>
t=n; (1) t—n; (1)

= —¢i(1) (Si (1) — ¢i (1)) + Ei(t) (fi(xi (1)) — fi(i (1)) .
Now, consider the following (ad-hoc) Lyapunov—Krasovskii functional

V:R— PAP (T, R")
t > Vi(t) + Va(t) + V3(t) + Va(t) + Vs(2),

where
n t t
Vi) = Z (xi* (1) — «ai(t) xz'(MWM) - <<ﬂ,~* (1) — i (1) <Pi(M)Vu> ,
P t—n; (1) t=n; (1)
n n !
o =YY [ L(05+®)) -]
j=l izlz—rj(t)
n n ! !
V3 (1) = ZZ / / ij;; |xF (u) — @i )| Vu Vs,
J=li=l gy t=s
" n t 0
IACEDIDY / /L,B; oY (u) —((p,')v(u)‘Vu Vs.
J=1 i:1t—§ij(t) s
and
n t t
Vs(t) = Z <S§k (1) —ci() Si(MWM) - <¢,-* (1) —ci(0) (bi(u)Vu) .
i t—n; (1) 1—n; (1)

Let us calculate the upper right Dini derivative DTV (¢) of V along the solution of the
equation above. Then one has
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DV1+(t)<—Zoz xF () — i (t)|+ZZD

i=1 j=I

FY YO |05 - 10D - e - o))

@ 0) = £, )]

i=1 j=1
n n !

+3.).D; / |15 @ = w) = £(0; ¢ = )| Vu
i=li=l oo
n n !

+3 3D / 5 (@pv @) = 15 (¢F )| va
i=lj=1 t—&j (1)

<—Za . (r)—¢,<t)!+ZZD$Lj\x;(r>—¢j(t>\
i=1j=1
+ZZ<D DL |x?

i=1 j=I

(r = 50) = 05 (1 = 7;0)|

1

n n
—=+
+3°3°D;; / L ‘(x;‘ t—u)—g; (t —u)’Vu
i=1j=l t—0;; (1)

n n i
+2.2.D; / Lj |69)Y @) = ¢} (| Vu+ BF 15,0 — i ()]

i=lj=1 1—=§;;(1)
Obviously,

DV (1) < ZZL (D + DI [ 0 = oi ()] = |x7 (1 = ;) — i (£ — 7 0)]]

j=li=1

<Y Y LiDE+ D)D) |xF (0 — @i ()]

i=1 j=1

—ZZL (D 4+ (DI [xf (1 =7 (0) — i (1 — 7))

i=1j=1

and

DVt (1) < ZZL DU/ (t)[|xi* ) — @i O] =[xt —5)— @i (t —9)|] Vs

j=li=1 %ij
<ZZL D”/ | (1) — i (1)| Vs
j=1i=1 aij (1)
—ZZL Dl]/ !xi*(t—s)—ga,-(t—s)|Vs.
j=1i=I t=0ij ()
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Reasoning in a similar way, we can obtain the following estimation

o=y [ / LB [0 @ — ¢ @) Va Vs
= 11 1 V160 )
B f @Y ) - ¢ )] s,
i=1i=1 & (0
and,
DV (1) = —¢; |87 (1) — ¢i (| + E | fi (xi (1) — fi(@i())]

IA

—ci |SF (1) =i O] + Ef Li |xf (1) — g1 (0)].
By using the inequality
DY (Fi+ F) < DY (F1)) + D" (F),
we get
DT (V1)) < DV;"(t) + DV, (t) + DV; (1) + DV, (1)
- Z Zmax l —DiL; — (D))" L; — Dot L,
i=1 j=1

- DfgiL — Ef Lt =B Iy 0 -y @]

IA

=Y Billy ) —v 01l <0.

i=1

By integrating the above inequality from 1 to ¢, we get

n
V() + Zﬂi / [y* () =¥ () |Vs < V(tp) < +o00.
i=1
Now, we remark that V (z) > 0. It follows that

dim SuP/ﬂi||y* () =¥ () Vs < V(t0) < +o0.

10

Note that y* (-) is bounded on RT. Therefore
lim [ly* (1) =y () | = 0.
t——+00
The proof of this theorem is now completed.

Remark 5 Theorem 1, Theorem 2 and Theorem 3 are new even for the both cases of differ-
ential equations (T = R) and difference equations (T = Z).

Remark 6 The model studied in [16] is considered without leakage time-varying delays and
the system investigated have not contained some information about the derivative of the past
state. In addition, the coefficients a; (i = 1, ..., n) (playing the role of «; (-) in our work) are
constant. Furthermore, using the outcomes in this manuscript we can generalize the sufficient
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conditions for keeping the original system of the model, with leakage time-varying delays
and contained some information about the derivative of the past state, to be stable. Besides,
by the technique in the paper [16], we can study the Hopf bifurcation of the novel class of
competitive neutral-type neural networks with mixed time-varying delays and leakage delays.

6 Example and Computer Simulations

In this section, we will present an example to illustrate the feasibility of our results that were
derived in the previous sections.
In system (3), let i, j = 1, 2, and take coefficients as follows:

a1 (t) = aa(t) = 0.73 4+ 0.02 cos(1671), fi(x) = f>(x) = 0.1 arctan x;
(Du(l) Dlzm) _ (éu(z) 1?12(0) _ (@u(z) élzm) _ (1?) 1§’>> |
Da1(6) Do (1) Boi(6) Dax(t) ) = \ Do (t) Do) o2 9 )
Bi(1) = 0.15cos(+/31); Ba(t) = 0.13 cos(v/21);
c1(t) = 0.55 4 0.02sin(1671);
(1) = 0.5440.02sin(167r¢); E;(t)=0.12sin(t); E»(t) :0.12005(\/30;
I1(1) = 0.02sin(+/31); L (1) = 0.04cos(v/51); Ji(r) = 0.04 cos(r);
L) = 0.1sin(v/51); n1(t) = 0.07 cos(v/21); na(t) = 0.02 cos(v/21);
c1(t) = 0.02cos(v/3t); () = 0.02cos(v/31); 111 () = 0.02 sin(~/21):
712(t) = 0.03 sin(ﬁt); 71(t) = 0.02 cos(ﬁt); 2(t) = 0.03 sin(\th);
o11(1) = 0.04cos(v/21); o12(1) = 0.02sin(v/21); 021 (r) = 0.03 cos(v/31);
o12(t) = 0.02 cos(+v/31); £11(t) = 0.03 cos(v/21); Ea(t) = 0.05 sin(v/21);
£1(1) = 0.02sin(v/21); Exn(r) = 0.04 cos(v/21).

By a simple calculation, we have

af =075, o =0.71, af =0.75, o, =0.71,
¢ =057, ¢ =053, ¢ =056, ¢; =0.52,
+ pt Nt DHE Nt Pt 11
(PEoB)=(Bu3e)=(Bupe)=(27):

Dy, Dy Dy, Dy D31 Dy 20 2

If =0.02; I =004; JF=001; J =-0.1;

Bl =0.15; Bf =0.13; Ef =0.12; EJ =0.12;

nf =0.07; nf =0.02; ¢t =002 ¢ =0.02;

0.04 0.02 0.03 0.05
@insij= = <0.03 0.02) € iz = (0.02 0.04) ;

We cantake L1 = Lo, = 0.1, r = 0.5 and we have
2
—+
My =afnfr+ Zl (DTJ + (lej)Jr + D1j01+j
j:

+ BYES) (Wir + 110D + Bfr + I}
=0.75 x 0.07 x 0.5+ (55 + 35 + 35 % 0.04 + 5 x 0.03) (0.1 x 0.5+0.1)
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+ (35 + 25 + 25 % 0.02+ 55 x 0.05) (0.1 x 0.5 +0.1)
+0.15 x 0.5 4 0.02
= 0.0773.

- _
( -+ (D} ) + Do)t + Djjgfj) Lj+ B,

™

M[ = O{;rﬂfr +

Il
-

J
=o.75><0.07+(2—10 %xoo3+20x002)(01x05+01)

1
20
+ (g + o + 25 % 0.02 + 2 x 0.04) (0.1 x 0.5+ 0.1) +0.13
=0.2132.
N =cfsir+ EF(Lir +1AO)) + J
= 0.57 x 0.02 x 0.5 4 0.12(0.1 x 0.5 + 0.1) + 0.01

= 0.0337,

Ni=cf¢+EfL

=0.57 x 0.02 4 0.12 x 0.1

= 0.0234.

2
— ~
My=ainyr+ Y (D;j + (D) + Dyjo3; + D;jg;j) (Ljr +1f;O)) + B r + I,
j=1

=0.75 % 0.02 x 0.5+ (35 + 55 + 35 x 0.03+ 55 x 0.02) (0.1 x 0.5 +0.1)
(3 4 5+ 5 x 0.02 4 L x 0.04) (0.1 x 0.5+ 0.1) +0.13 x 0.5+ 0.04

=0.143,
2
++Z<D +(DI)" + Dyjof; + Des ) Ly + BY
11 I
= 0.75 % 0.02+ ( 35 + 35+ 55 X 0.03 + 35 x 0.02) x 0.1
020" 20
+ 1+1+ 002+1 0.04) x 0.1+0.13
— — — X — X X U. .
20 720 " 20 20

=0.165,

Ny =i 65 r + ES (Lor + | 2(0)) + J5

0.56 x 0.02 x 0.5+ 0.12(0.1 x 0.5+ 0.1) — 0.1
= —0.0764,

Nr=c5 ) +ESL,
=0.56 x 0.02+40.12 x 0.1
= 0.0232.

The conditions (H}) and (H») are satisfied and it is easy to verify
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Fig. 1 The trajectories of x1, x2, S and S for ¢t € [0, 150] (continuous case T = R)
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Fig. 2 The trajectories of x1, xp, S1 and S7 in the discrete case T = Z

and
M M, T\ 3\
max | —, —, |1+ — | M, |1+ =) M,
o o oy L)
N N +\ +\
L2 ) w1+ 2 )Wt =
) € )

so, condition (H3) holds. Therefore, using Theorem 1 and Theorem 2, we conclude that
system (2) has only one pseudo-almost periodic solution. Besides, this unique solution is
globally exponentially stable.

Figures 1, 2, 3 and 4 confirm that the proposed conditions in our theoretical results are
effective for this example. Furthermore, it can be easily seen that the solutions of the system
in this example for the both continuous time and discrete time are exponentially stable
(Figs. 1, 2). Besides, it is clear that from a certain time we have the same distance between
the two pseudo-almost periodic trajectories of the orbit (Figs. 3, 4).

Remark 7 In many cases, the delays in leakage terms have a negative effect on ensuring
the stability of the system. In this case, people usually take a small value to the delays in

AEsin®D o 1 and max n;(t) = 0.1, respectivel
2000 1000 s ni (t) » Tesp y

leakage terms, such as mzli)é ni(t) =
i=l1,
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Fig. 3 In the left figure, the orbits of x| —x»>. In the right figure, the orbits of S1—S57
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Fig. 4 In the left figure, the orbits of x| —S7. In the right figure, the orbits of xy—S>

in the examples of references ([11,13]). When n” = 0.07, n; = 0.02, ¢; = 0.02 and
g2+ = 0.02, their condition swill not be satisfied, but ours can. Therefore, our conditions are
less conservative than that in ([11,13]).

7 Conclusion and Open Problem

As it is widely known, the leakage delay has great impact on the dynamical behavior of
neutral-type neural networks. Hence, it is necessary and rewarding to investigate the leakage
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delay effects on the dynamic behaviors of pseudo-almost periodic solution of competitive
neutral-type neural networks. It is the first time that a class of neutral-type competitive with
mixed delays and leakage delays on time-space scales is presented. In addition, the existence
and exponential stability of pseudo almost periodic solutions for the system of equation
modeling this system are also considered. The problem is investigated for the differential
equations and difference equations. In the best of our knowledge, the model is general in the
meaning that is considered with mixed time-varying delays and leakage time-varying delays.
Finally, we formulate some open problems. We would like to extend our results to more
general competitive neural networks with mixed time-varying delays and leakage delays,
such as high-order competitive neural networks models.

STM:S (1) = e @ = me) + 3 Dy 0 £ 1 @)
j=

Df; (1) f; (xj (r —wj(0)) + i i Tijr fr G (8 — xxe () fj(xj( — xj (1))

jlk

r)/ 0] Vv—f—ZD,] (1)
= (rlj(t)

B; Z mij(t)y; + I; (1),
=
LTM-mZ(f) =—ci(t)m;j(t — i) + y;Ei(®) fi(xi(®)) + Ji (1), t €T

t

1=§ij (1) /i <xjv (S)) Ve

5 M= ||'M=
S

a7
where, for all 7, j,k = 1,...n, T;j; are the second-order connection weights of delayed
feedback.
And stochastic high-order competitive neural networks model on time-space scales with
mixed time-varying delays and leakage delays:

STM:Vx; (t) = |:_Oli(t)xi (t—ni(®) + Zl Djj (1) fj (xj )
j=
; L) [ (xj (1 =)+ X Tiji [ (8 — xi () f(xj (& — x;(2)))

= j=1k=

—_

n

n
+ XD t)/ i () () Vs + 3 Dy £ (x7 ) Vs
j=1 1= Ulj(t) i—1 t— éj”(l) ’

~.

+ Bi Z mij )y + 1 (1) | Vi + Z Kkij (X (1) V(1)
j=1 j=1
LTM~le./(t) = [_Ct (t)mlj (t—ci(@®)+ Yj E;(t) fi (xi (1) + Ji(t)] Vi

+ X 8ij(mij(1)Vwj(t), t €T
=1

(18)
where w(t) = (w1 (t), ..., wa ()T, (¢t € T) is the n-dimensional Brownian motion defined
on complete probability space (§2, F, P); §;; are Borel measurable functions; A = (8;)nxn
is the diffusion coefficient matrix.

The corresponding results will appear in the near future.
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