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Abstract This paper is about nonequilibrium steady states (NESS) of a class of stochas-
tic models in which particles exchange energy with their “local environments” rather than
directly with one another. The physical domain of the system can be a bounded region of R?
for any d > 1. We assume that the temperature at the boundary of the domain is prescribed
and is nonconstant, so that the system is forced out of equilibrium. Our main result is local
thermal equilibrium in the infinite volume limit. In the Hamiltonian context, this would mean
that at any location x in the domain, local marginal distributions of NESS tend to a probability
with density %e‘ﬁ @H permitting one to define the local temperature at x to be S(x)~ .
We prove also that in the infinite volume limit, the mean energy profile of NESS satisfies
Laplace’s equation for the prescribed boundary condition. Our method of proof is duality:
by reversing the sample paths of particle movements, we convert the problem of studying
local marginal energy distributions at x to that of joint hitting distributions of certain random
walks starting from x, and prove that the walks in question become increasingly independent
as system size tends to infinity.
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1 Introduction

This paper attempts to address, using highly idealized models, two of the major challenges in
nonequilibrium statistical mechanics: One is the derivation of the Fourier Law, equivalently
the heat equation, from microscopic principles ( see e.g. [2-5,10,11,16,23,27]). The other
is the proof of local thermal equilibrium (LTE), equivalently the well-definedness of local
temperatures, for systems that are driven out of, and possibly far from, equilibrium (see
[17] for a discussion of the physics, and e.g. [6,14,15,20,26]). Both of these topics are of
fundamental importance, yet no satisfactory general theory has been proposed. In this paper
we study the nonequilibrium steady states (NESS) of a specific class of particle systems with
stochastic interactions. The models we consider are simple enough to be amenable to rigorous
analysis, yet not overly specialized, so they may offer insight into more general situations.
The physical space of our models can be R? for any d > 1. Model behavior depends on d,
necessitating different arguments in the proofs, but our results are valid for all d > 1.

We begin with a rough model description; see Sect. 2.1 for more detail. For any d > 1, let
D C RY be a bounded domain with smooth boundary, and let T be a prescribed temperature
function on dD. We consider ~ L9 particles performing independent random walks on
Dy = 7% N LD where L >> 1 is a real number and LD is the dilation of D. These particles
do not interact directly with one another, but only via their “local environments”, symbolized
by a collection of random variables each representing the energy at a site in Dy. More
precisely, each particle carries with it an energy. As it moves about, it exchanges energy with
each of the sites it visits, and when it reaches the boundary of Dy, it abandons the energy it
was carrying, replacing it by an energy drawn randomly from the “bath distribution” at the
corresponding point in aD.

These stochastic models are modifications of the 1-D mechanical chains studied in [13]
and their 2-D generalizations in [22]. In these mechanical models, energy transport occurs
via particle-disk interactions, an idea borrowed from [24]. More precisely, there is an array of
rotating disks evenly spaced in the domain. Particles do not interact with each other directly;
they exchange energy with these disks upon collision. Our site energies are an abstraction
of the kinetic energies of these disks, or the “tank energies” in the stochastic models in [13].
Further simplifications have been introduced in the present models to make the analysis
feasible.

In our models, when the prescribed temperature function is constanton 0D, i.e. T = Ty for
some Ty € R™, it is easy to see that the unique invariant probability distribution is a product
measure: particle numbers are independent and Poissonian, and particle and site energies are
independent and exponentially distributed with mean Tp. Let us refer to such a distribution
as “the equilibrium distribution at temperature 7p”. For a nonconstant 7" (all that we require
is that it be a continuous function), the system is forced out of equilibrium. It is not hard to
see that there is still a unique NESS to which all initial states converge. Our two main results
assert that the following hold in the infinite volume limit:

(1) mean energy profiles with respect to NESS when scaled back to D converge to the unique
solution u(x) of

Au=0 onD, ulgp =T;

(2) given any x € D, for sites located near x L, marginal distributions of the NESS tend to
the equilibrium distribution at temperature u(x).

These and other results are formulated precisely in Sect. 2.2.
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Our method of proof is duality, and the dual used here is similar to that in [26], which in
turn borrowed its main idea from [20]. We differ from these earlier works in that we prove a
more complete version of local equilibrium that includes the marginal distributions of particle
energies, and our results are proved for all d > 1. As in [20], our “dual process” (duality
is with respect to a function, to be precise) keeps track of movements of certain discrete
objects we call “packets” in this paper. Reasoning naively, marginal energy distributions
at a site v € Dy, is determined by what particles bring to this site from the bath, so of
interest are the points of origin of these energies. The idea is that to identify these points of
origin, we can place some packets at site v, to be carried around by particles in a manner
analogous to the way energy is transported, run the particle trajectories “backwards”, and
look at the hitting distributions of the packets on the boundary of Dy . As it turns out, packet
movements in this process are effectively independent random walks when their trajectories
do not meet, permitting us to leverage known results on hitting distributions of Brownian
paths. This connection to Brownian motion is what makes duality a potentially very useful
tool for studying local thermal equilibrium. From this line or thinking, one sees immediately
that the proof of LTE is simpler in d > 3, where independent random walkers tend not to
meet. For d = 1, where independent walkers meet often, the idea of exchangeability, which
was used in [20], is entirely natural and we use it here as well.

Our model falls into the category of "gradient systems’. There is a vast literature of gradient
systems, but very few results on LTE for systems forced out of equilibrium. Two examples
are [14,15], where the entropy method is applied. We will comment on the connection to
these results in Sect. 8.2.

2 Model and Results
2.1 Model Description

We fix a dimension d > 1, and let D C R? be either a bounded open rectangle or a bounded,
connected open set for which 3D is a C? submanifold. A continuous function 7 : dD — R
to be thought of as temperature is prescribed. For L > 1, the physical domain of our system
is

D, =LDNZ,
and each lattice point in Dy, is referred to as a site. The bath is located at
B =0D.\ DL

where 9Dy = {v € Z? : v has a neighbor in Dy and a neighbor outside of Dy }. Throughout
this article, | - | denotes the cardinality of a finite set. For any v € R4, (v) denotes its closest
point in Z¢ and ||v| is the Euclidean norm.

We consider a Markov process X; = X ﬁL) with random variables

x = (EDvepy> s man)s (X1, ..., Xar)) € RY

where &, denotes the energy at site v € Dy, M = M(L) € Z* is the number of particles in
the system, and n; and X; are the energy and location of particle i. The infinitesimal generator
of this process has the form

(GHH®) = (G1HE) + (G2/H(x),

L M M
x RY x Dy
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where G and G, describe respectively interactions within D and with the bath: Each
particle carries an exponential clock which rings at rate 1 independently of the clocks of
other particles. When its clock rings, the particle exchanges energy with the site at which
it is located; immediately thereafter it jumps to a neighboring site, choosing the 2d nearest
neighbors with equal probability. The G part of the generator describes the action when the
neighboring site chosen is in Dy :

M 1 1
G1HX) =D / dp
250, 2,

weDp: | Xr—w|=1
[ £ (EDenmi e, (L= pYEx + 00 et g

Xt, o0, Xe—t,w, X5 -, X)) —f()i)],

where

f={5 T M

pEx, +n)  ifv=X;.

If the particle jumps to a site v € By, then its energy is updated according to the temperature
at v, and it is returned immediately to its original site. More precisely, we extend T to a
neighborhood of 3D, and define

M 1 0 ,
Ghrw=Y5 X [ [ ars(F)ernn

k=1 weBL:|| Xr—wl|=1

I:f((gé)veDuﬂl,-~~777k—1,7]/77]k+1,~~-,T]M7X1,«~~»XM) - f(é)],

where & is given by (1) and B(}) = T(%)_].

This completes the definition of our model.
Remark on distinguishable versus indistinguishable particles As defined, the particles in
X, are named and distinguishable. Since our results pertain to infinite-volume limits, it is
natural to work with models with indistinguishable particles. For each L, such a model can

be obtained from X EL) via the following identification: for x, Y€ REL X ]R_A,f’ X D’LW , we let

x ~yif
x = (Gv)vepy 15 -5 m), (X1s -0, Xar))
and y = (v)ven,> Mo)s - -5 Nor)), KXoy, -+ Xon)))
where o is a permutation of the set {1, 2, ..., M}. Itis easy to check that the quotient process

X ,(L) /~ is well defined and corresponds to X ,(L) with indistinguishable particles. As the

desired results for X fL) /~ are deduced easily from those for X EL) , we will, for the most part,
. . (L)

be working with X ;™.

2.2 Statement of Results

We begin with a result on the existence and uniqueness of invariant measure in the equilibrium
case, i.e., when the prescribed bath temperature 7 is constant.
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Proposition 1 Letd € ZT and D C R? be as above, and let L be such that Z¢ restricted to
Dy is a connected graph. If the function T is constant, then with the notation 8 = 1/ T,

e = [ pePas, Hﬁe Plidn; H |D 2 =

veDy k=1 veDy
is the unique invariant probability measure of the process X ,(L).

We are primarily interested in out-of-equilibrium settings defined by non-constant bath
temperatures.

Proposition 2 Let d, D and T be as in Sect. 2.1. We assume L is such that 74 restricted to
Dy is a connected graph. Then the process X ;L) has a unique invariant probability measure
w'L) . Furthermore, the distribution of XﬁL) converges to u'®) as t — oo for any initial
distribution of X (()L).

The proofs of Propositions 1 and 2 are straightforward; thus we mention only the ideas and
leave details to the reader. For Propositions 1, one can check by a direct computation that M(L)
is invariant; uniqueness follows from Doeblin’s condition. Once Proposition 1 is established,
tightness (at “oco” and at “0”) for Proposition 2 can be proved as follows: Given X ,(L) defined
by a continuous bath temperature function T'|3p, we consider two equilibrium processes

corresponding to boundary conditions 7™ = sup,.5p 7 (x) and 7O — jnfeap T (x).

(L) (L)

Let fte,max and p, ;. be the invariant probabilities of these two processes respectively.

Coupling X ;L) to the process defined by 7™# in the natural way with X (()L) = ug}%ax, we
see that the distribution of X fL) is stochastically dominated by /Lg,Ln)m. Likewise, coupling
to the process defined by 7™", we see that the distribution of X ,(L) is stochastically bounded

from below by ugLn)m

In Theorems 1-4 below, it is assumed that d, D, T and L are as in Sect. 2.1. For given L,
we let E)(-) denote expectation with respect to the nonequilibrium steady state (&), Our
first result is on the profile of mean site energies.

Theorem 1 (Mean site energy profiles) For any choice of M(L) € Z" and for each x € D,
lim E® (er)) = ulx)
L—o0

where u is the unique solution of the equation
Au=0o0nD, ulgp=T. 2)
Next we proceed to the definition of LTE for site energies. For x € D and a finite set
S c 74, we denote by M(L) the projection of M(L) to the coordinates (§(x7)+v)ves and

identify M W1th a measure on RS with coordinates (¢;)ses. Given M(L) € ZT, we say the

site energles év of X, approach local thermodynamic equilibrium (LTE) as L — oo if for
every x € D and every finite set § C Z¢,

'“; § = s = Hﬂ(x)e_ﬂ(x){“’d{s as L — 00,

ses

where = stands for weak convergence and §(x) = u(x)"4u being the function in Theorem
1.
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Theorem 2 (LTE for site energies) For any choice of M(L) € Z7, site energies &, of X; 1)
approach LTE as L — oo.

In the case where the number of particles tends to a fixed positive density as L — oo,

1.e.,
M(L)
L4

for some constantoe > 0, a more complete notion of LTE should include not only distributions
of site energies but also those of particle energies. In preparation for the formal statement,
we introduce the following notation:

Let u&) /. be the steady state distribution of the process X ?L) /~ (see the Remark at
the end of Sect. 2.1). Given x € D, S = {vy,..., v} C Z4, and non-negative integers
K1, ..., K, we consider the conditional probability

—avol(D) asL — oo 3)

(/L(L)/W) | {# particles at site (xL) +v; =K; j=1,.. .,s}

and project this measure to the site and particle energy coordinates on (x L) + S. The resulting

(L) : s K
measure, V¢ g g, Can be viewed as a measure on szl(R+ x (R}")/~), where the

relation in (]Rf)/N isdefined by x ~ yifx = (x1,...,xk), ¥y = (Xo(1)> - - - » X5 (k))> and
o is a permutation of the set {1, ..., K}. We are concerned with the limit of v)(CLgy K. K, 35
L — oo. ‘

Theorem 3 (LTE for systems with positive density of particles) Suppose M(L)/L¢ —
a vol(D) for some o > 0. Then the system approaches LTE as L — o0 in the sense of both site

and particle energy distributions. That is to say, foreveryx € D, S = {vy, ..., vs} C Z¢, and
non-negative integers K1, . .., Kg, we have the following limiting distributions as L — oo:
(1) Let k,()JL,) be the number of particles at site (xL) +v;, j = 1,2, ..., s, seen as a random

variable with respect to . Then kl(,ll“), .. .k,()SL) tend in distribution to independent
Poisson random variables with mean o.
(2) The measures v)ELS) Ky...K, converge weakly to

.....

L (gx x (gf")/w) as L — 0o, )

where &, is the exponential distribution on Ry with parameter § = u(x)~!, 5){( is the
product of K copies of €, and ~ is the usual identification in (]Rf)/w.

The notion of LTE considered so far describes marginal energy distributions in regions of
microscopic sizes. These results can be extended to a version of LTE at mesoscopic scales:

Theorem 4 (LTE at mesoscopic scales) For any ¥ € (0, 1), the results in Theorems 2 and 3
remain valid if we replace

“((xL) + v)yes where S C 7% is any finite set ”
by “({xL+ L%v))yes where S C R is any finite set ” .

3 Preliminaries from Probability Theory

We collect in this section some facts from probability theory that will be used. All the results
cited are known, possibly with the exception of Proposition 3.
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3.1 Random Walks

Here, we formulate some basic lemmas about random walks. We will use the terminology
random walk for any Markov chain of the form

n
Sn = Z Sk,
k=0

where the £ ’s are independent, identically distributed random variables with values in Z¢ (d
is the dimension of the random walk). The special case where &; is supported on the origin
and its 2d nearest neighbors is called a nearest neighbor random walk, and the case where &;
is uniformly distributed on the 2d nearest neighbors of the origin is called a simple symmetric
random walk (SSRW). The following statement is arguably the most important property of
random walks with finite variance.

Lemma 1 (Invariance principle) Consider a d-dimensional random walk S, = > _ &k
where &1 has zero expectation and finite covariance matrix X, and let W, = (W, (t)):¢[0,1]
be the random process defined by W,,(%) = % and linear interpolations between % and

%. Then as n — oo, W,, converges weakly to the d-dimensional Brownian motion on [0, 1]
with covariance matrix X.

Lemma 2 (Harmonic measure) Let x € D C R? where D is as above, and let T be the first
hitting time of 0D for a Brownian motion B} starting from x. Then

E(T (By)) = u(x)
where u is given by (2).

The next result is a combination of the last two, together with a small perturbation in
starting location. A version of this result likely exists in the literature, but we are unable to
locate a reference. Since our proofs rely heavily on Proposition 3, we have included its proof
in the Appendix.

Proposition 3 Let x € D C R? be as above, and let & > 0 be given. Then there exist § > 0
and Lo such that the following holds true for all L > Lg: Let S, be a SSRW on Z% with
ISo — xL|| < 8L, and let T be the smallest n such that S,, € By. Then

((2) o

We will also use the following estimate on moderate deviations. It is a consequence of
e.g. Theorem 1 in [25], Section VIIL.2:

<e. (®)]

Lemma 3 Ler &, be bounded i.i.d real-valued random variables with variance o* > 0.

There is a constant ¢ such that for any n > 1 and for any R with 1 < R < n'/°,
- _R%
P[> & —nE@)| > RVn | < cre” 2.
k=1

The reason for the present review is that instead of studying X ;L) directly, we will transform
the problem into one involving certain stochastic processes in which a finite number of walkers
perform SSRW on Z?. These walks are independent when the walkers are at distinct sites,
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68 Y. Liet al.

but when they meet, there is a tendency for them to stick together for some random time. We
will need to show that in terms of hitting distributions such as those in Lemma 2, the situation
in the L — oo limit is as though the walks were independent. This is clearly related to the
question of how often two walkers meet, a property well known to be dimension dependent.

(1) d = 1. The local time of a SSRW in dimension 1 at the origin up to time n is ~ /7.
More precisely, the local time up to n, rescaled by /i converges weakly to the absolute
value of the standard normal distribution (see [8]). Since the typical time needed to leave
the interval [—L, L] is O(L?) by the invariance principle, two independent walkers will
meet ~ L times before leaving the interval [—L, L].

(2) d = 2. The local time of a SSRW in dimension 2 at the origin up to time n is ~ logn, so
that two independent walkers meet ~ log L times before leaving the domain Dy .

(3) d > 2. SSRWs in dimensions d > 2 are transient, meaning two independent walkers
only meet finitely many times.

These observations have prompted us to proceed as follows: We will first treat the d = 2
case, by comparing the process in question to independent walkers. Once that is done, we
will observe that a simplified version of the argument gives immediately results for d > 2.
Dimension one is treated differently: The large number of encounters makes it difficult to
compare the stochastic processes above to independent walkers. Instead, we make use of the
meetings of the walkers to show that their identities can be switched; see Sect. 3.3.

We collect below two other dimension-dependent facts about random walks that will be
used in the sequel.

Lemma 4 (d = 2) Let D C R? be above. We fix B € (0,1), C <ocoande > 0, and let W,
be a SSRW on Z2. Then

P (H}}H{IIWnIl 2 L} < min{[W, [l = 0} | [Woll & [Lf —c, Lﬂ]) >B—e (©)
forall L large enough.

It is a well known fact in the probabilistic literature that the left hand side of (6) converges
to B as L — oo (see for instance Proposition 1.6.7 in [21]). This implies Lemma 4.

For completeness, we provide a heuristic justification for this cited result: Note that W,
converges to a Brownian motion after rescaling. Since the logarithm of a planar Brownian
motion is a martingale, it is not difficult to deduce the statement that if B, is a planar Brownian
motion with By # 0, then the probability that || B;|| reaches 2|| By|| before reaching || Byll/2
is 1/2. Consequently,

P (| Wy | reaches 2L” before reachingL? /2) ~ 1/2. @)

For k € Z, let
Cor = {v e7?: o] < 2"},
and define the random variables ¢;, k; in the following way:
tp =min{3k : W, € aC
Sk W < o)
and k is such that W;, € 9Cy, . Inductively, we define

tj = min {W, €aCy, -1 or Wy € 0Cy, ]

n>tj_j
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and kj such that W;; € 9C,x; . Similarly to (7), we see that k; ~ log, || Wy, || is approximately
a one dimensional SSRW for L large with starting position B log, L. A simple computation
(often referred to as gambler’s ruin) gives that

L—o00

P (min{log, [IW,, | = log, L} < minflog, | W, | = 0}) == .
The following is a well known property of high dimensional random walks.

Lemma 5 (d > 2) In dimensions d > 2, any non-degenerate random walk is transient, i.e.,
ISyl = oo as n — oo with probability 1.

3.2 Moments of Exponential Random Variables

Let » € R and s € Z". The moments of s independent exponential random variables
X1, ..., Xy with parameter A are given by

S
n,-!

mny, ..., ng) =EX" ...va):HAni. ®)

i=
Conversely, if Xi,..., X, are such that their joint moments are given by (8) for all
(n1,...,n5) € {0,1,2,...}, then they are independent exponential random variables with

parameter A. See for instance [28].

3.3 Exchangeability

We also review very briefly the notion of exchangeable random variables, which will be used
in the sequel.

Definition 1 The infinite sequence of random variables X, X», ... is called exchangeable
if for any finite N and any permutation o of {1, 2, ..., N}, the random vectors (X1, ..., Xn)
and (Xo (1), - - ., Xo(n)) have the same distributions.

The following result is well known; it was proved by de Finetti in [9]:

Theorem 5 (deFinetti’s Theorem) If X1, X3, . ..isasequence of {0, 1}-valued exchangeable
random variables, then there exists a distribution function F on [0, 1] such that for all n and
all x; € {0, 1},

1
P(Xi1=x1,..., Xp = xy) :/ g2i=1%i (1 — 9)"~2i=1 i dF (6).
0

4 Duality

In this section we introduce another process Y, and a function F, and show that X, and Y,
are dual with respect to the function F in a sense to be made precise. We explain also how
to leverage duality to prove some of the asserted results in Sect. 2.2.

4.1 Motivation and Definition of a ‘“Dual Process”

The idea is as follows: For the process X; = X EL), consider the marginal energy distributions
of u™ at v € Dy . These distributions reflect what the particles bring to site v from the bath,
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and that in turn is reflected in which parts of By, a particle visits prior to its arrival at site
v—though in reality things are a bit more complicated: particles interact with all the sites
they pass through on their way to v. Nevertheless, accepting this simplified picture for the
moment, we can reverse the trajectories of the particles, and think of them as carrying certain
“packets” from site v to the bath. The locations in B at which these packets are deposited
will then tell us from which parts of 3, energies were drawn in the original process, thereby
revealing the composition of the steady state distribution u™) of X, at v. An advantage
of studying the reverse process is that it is reminiscent of hitting distributions of Brownian
motion, or harmonic measures on dD. These are the ideas behind the duality formulation
discussed in this section.

For D C R and L as in Sect. 2.1, we now introduce a Markov process YEL) designed to
carry packets from the sites in Dy, to By. This process also involves M = M (L) particles.

Let N denote the set of non-negative integers. The variables in Y;L) are

~ ~ ~ D B M M
n = ((ny)vepy. Ao)veB, ity ..o iipg, Y1, ..., Yar) € NPE x NPL s NM s Dyl

Here, n, is to be interpreted as the number of packets at site v € Dy, 71, the number of
packets at v € By, 7 the number of packets carried by particle j, and Y; the position of
particle j. (We distinguish between packets that have been dropped off at a site and packets
that are carried by particles: n, counts packets that have been dropped off at site v, and does
not include packets carried by particle j even when Y; = v.) The generator of the process
Y, is given by

(AN @) = (A1) + (A2 /) (),

where A corresponds to movements inside Dy, and Aj is the part describing the interaction
with the boundary. Formally, we have

ng+ng

Mo |
(Arf)@m) 1;:1 ¥ > FA— ;:0 LfC-) = f)]

zeDp:||Yr—z|=1

where the quantity inside the parenthesis is

(”;)veDLv (ﬁu)veBL, i, ..., g1, (g +n; —q),
T ts oo A Y1y oo, Y1, 2, Y1, oo, Yy
with
n if v
n;:[ v Mvgz ©)
q ifv=z.

Note the difference between (1) and (9): In X,, when a particle’s clock rings, it pools its
energy together with that at the site at which it is located, and carries a random fraction of it
as it jumps to a new site. In Y, the order is reversed: when a particle’s clock rings, it jumps to
a new site, then pools together the packets it is carrying with those at the new site, and takes
a random fraction, assuming this new site z is inside Dy . The second half of the generator
treats the case where z € Bp:

J [
A = — o) —
(A2 f)(n) k;w > nquZ:(:)[f( ) — f(]

zeBL:||Yr—z|=1

where the quantity inside the parenthesis is

/ A1 ~ ~ ~ ~
(M) veDy s MyveBy, Ay ooy Mk—1, Bk — G Rk 15 - Aps Yig oo Y,
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with

nr Ny ifv#z ;| ifv#EY
[ﬁv+ﬁk ifo=z M MT 1, ez

That is to say, if particle k jumps from site v € Dy, to site z € By, then the following occurs
instantaneously: it drops off all of the packets it is carrying at site z, returns to site v, and
takes a random fraction of the packets located at site v. Once a packet is dropped off in By,
it will remain there permanently, so that as time tends to infinity there will be no packets left
inDy.

This completes the definition of the process Y;L).

4.2 Proof of Pathwise Duality

The function with respect to which duality will be proved is

ron= N2 TG

UEDL UEBL

where x, &, and 7; are as in the definition of X; and the rest are from the definition of ¥,.
Notice that F' does not depend on the positions of the particles in either X, or Y. For reasons
to become clear, it is convenient to write

x={X) and n=(iY)

where X € X = ]REL X ]R_Af denotes the energy coordinates and X = Xi,....Xm)
the positions of the particles. Writing X; = (,, X;), we observe that X, consists of M
independent continuous-time random walks on Dy, with “reflection” at 9Dy as defined
earlier. Likewise, 11 € 5) = NP x NBL x NM gives the number of packets at the various
sites or carried by particles, while Y = (Y1,..., Yy) denotes the positions of the particles;
andif ¥, = (1,, Y;), then ¥, has the same descnptlon as X,. Notice that F is really a function
of (X, i1).

We now formulate a version of pathwise duality, counting sample paths of X, (or ¥;) in
the following way: We say a “move” in X, occurs when either (a) a particle jumps from
z € Dp to w € Dy or (b) it jumps from z € Dy, to w € By, and jumps back immediately
with the convention of regarding different w € By, as distinct sample paths. Now fix a time
interval (0, 7), and let#; < f, < --- < f,, be the times in (0, t) at which X, moves. To avoid
discussing tijE (i.e. just before or after #;), we let so = 0, s5,, = 7, fix arbitrarily s; € (¢, ti+1)
fori =1,...,n— 1, and agree to abbreviate this sample path as ¢ = (09, 071, .. ., 0,) Where
o; = Xw’ with the understanding that in case (b), both the particle and the bath location
involved are specified. We also use the notation ol = (o,, .. , 00) to denote the sample
path correspondmg too parameterlzed backwards in time, i.e., for o~ !, moves are made at
timesf, < --- < 1, where f; = 7 — th+1—i; and at times i1, %, ..., the moves of ¢! are the
reverse of those in o at times #,,, t,,—1, ....

Our one-step duality lemma reads as follows:

Lemma 6 For any fixed X € /'{', ne 5} and any sample path o0 = (o9, 01) on [0, ], we
have

E(F(i, X,)|%) = ¥, 0) = E (F (i, Dliiy = 11,07 ").
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Proof The sample path ¢ = (09, 1) describes exactly one move on the time interval (0, 7).
We consider separately the two cases corresponding to the two terms in the generator G of
X/ (see Sect. 2.1).

Case 1 Particle k jumps from site z € Dy, to site w € Dy. The term corresponding to k and
w in G F can be written as / - 11, where

H"’H[()]

v;éz T j#k T veBL

and
1 1 1 _ s s
II=—— / (& + )" (L= p)dp — &0t )
n ! ng! \Jo
From this we deduce that

R B ~
S R ( / & +m)" M (1 —p)”kdp)
7+ Ng: ng!ng!

1 N N
= L [ pap

ng! g
nz+iy ~ ~
— ii Z (nz +71)! sm ne+ig—m I’lZ!I’lk!
el | A= ml(ng + g —m)! k (n; + fix + 1)!
1 ik o m nz+ig—m
_ Sz Tk
ny,+n;+1 Om!(nz—i—ﬁk—m)!
m=l\

Thus 7 - 11 is the term corresponding to A F in the generator of Y, with indices k and z.
Case 2 Particle k jumps from z € Dy to w € B, and back. The term corresponding to & in
G, F and w € B, can again be written as I - I, where [ is as above and

11 ! ne [ anin g (W —0B(2 ne i
”:nfzﬁTz[/o dplp €+ nor [ ase™p (7)) e nkk].

From this we obtain

I 1! L i (W —65(2)
11+ — — £l = —,/ dplp & +ml" ) - N—,/ doo™ p () e
ng! ng! nz! Jo ng:Jo L

R T

In the last equality, we used the simplified version of the computation of // in Case 1 (by
letting 1, = 0) and computed an elementary integral. We conclude that 7 - /7 is the term
corresponding to A, F' for the indices k and z. O

Next we extend Lemma 6 to sample paths involving arbitrary numbers of moves.

~

Lemma 7 Forany fixedx € X ﬁ Y, and any sample path o = (09, 01, . .., o) on [0, ],
we have

E(F(i, X,)|%) = ¥, 0) = E (F (i, Dliiy = 11,07 ").
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Proof We prove by induction on m, the number of moves. The case m = 1 is Lemma 6.
Assume that we have proved the statement for < m — 1 moves. Letting s; be as defined
above, we have the following:

}E(F(é, i‘[)'i() = i’ (003 Oly vy O—m))

- / E(FG 21, =& @1, ...ow) - PGy, = ¥1%y = & (00, 01))d¥’
- / E(F (i, &)l = i Omn ... 01) - P&y, = ¥'lo = X, (00, 01))d¥’

//F(ﬁ’ X)) P, =1l =1, (Om, ..., 01) - P&, =x|%
= ¥, (00, 01))dx’dit’

- / E(F@. %, )X = X. (00.01) - P&,y = ililg = &, (0m ... o)

_ / E(F(iy, DI,y = i (01,00) - Pi,_y, = ]

= ]E(F(é-[a X)'ﬁo = ﬁv (O'mv Om—1s -+, OO))~

Remarks The duality statement above is a little more involved than that for Markov processes
with disjoint phase spaces (see e.g. Proposition 1.2 in [19]). Here, the phase spaces intersect in
the set of particle configurations, and duality is proved one sample path in particle movements
at a time; that is why we call it pathwise duality. Note that it is necessary to use reversed
paths in the dual process to guarantee that Lemma 6 can be applied from one step to the next.
Also note that the expression “pathwise duality” has been used in in Chap. 4 of [19] in a
different context: both the “strong pathwise duality” and the “conditional pathwise duality”
as defined in [19] imply the usual duality while our definition is a weakening of that. Finally,
we mention that we will have to further weaken our concept of duality for the proof of the
case of systems with positive density of particles, see Sect. 7.

Duality has been used to prove LTE for a number of situations; see [6] and the references
therein. Many of the ideas above have their origins in [20], though modifications are needed
as energy is not carried by particles in the KMP model. A similar set of ideas was also used
in [26], which considers the same model as ours in one space dimension and with only one
particle.

4.3 Consequences of Duality

Letx, € X and n, € Y be fixed. Integrating over all sample paths o of X; on [0, ¢], Lemma
7 together with the fact that P[o] = Plo—1] imply that

/E(F(é*,i,)lio —%,.0) P(do) = /E(F(ﬁ,,i*)lﬁo — i, 0 ) PWdo). (10)

Letting + — o0, the left and right sides of the equation above tend to the two sides of the
formula below:

Lemma 8 For any fixed i, € Y, we have

/F(n HduDE, X) = /H —)]ﬁ"dpﬁ*, (11)

UEBL
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where p; is the asymptotic distribution of Y as t — 00 averaged over all Y with uniform

distribution, assuming that Yo = (i1, Y).

That the left side of (10) converges to the left side of (11) as t — oo follows from the fact
that the distribution of X, converges to ;™) (Proposition 2). The limit on the right side clearly
exists, since all packets are eventually deposited in By, resulting in the simplified form of
F(n, x,) in the integrand. Notice also that the right side does not depend on X, consistent
with the fact that the convergence to u&) on the left is independent of initial condition.

We now identify the relevant choices of 71,: In the proof of LTE for site energies, for
example, we fixx € D, S C 74 and nonnegative integers (n})yes. If 72, is chosen so that

ny ifveS

Tolite = (0 ifogs

then the left side of (11) is equal to

/H xL +vd (L) (13)
n!

a constant times the (n)-moments of the distribution My, ; defined in Sect. 2.2.

ny=0 Vv, and 7n; =0V}, (12)

Thus the key to understanding & is pii,- To get a handle on this distribution, we find
that instead of working with Y, which describes the evolution of the density (or distribution)
of packets, it is productive to switch to an equivalent model that focuses directly on the
movements of individual packets. Moreover, since only asymptotic distributions matter, we
may work with a discrete time model, as long as the order of the steps are preserved.

Discrete-time version of Y; focusing on movements of packets
Consider a Markov chain Z; = Zk(L), k=0,1,2,...,the variables of which are

Zi=Zigo  INg Vi Yup) € DLWBLW(1,2,..., MHN x DY,

with some fixed positive integer N (to be specified later) and the notation & for disjoint union.
The first N coordinates of Zj describe the positions of the N (named) packets in the system,
the position of packet i at step k being Z; x, and the final M coordinates give the positions
of the M particles (abusing notation slightly by using Y in both the continuous and discrete
time models). The meaning of Z; x € Dy W By is obvious, and Z; ; = j means packet i is
carried by particle j at time k. The transition probabilities of Zj are as follows: Given Z, we
choose with equal probability one of the M particles, say particle j, and choose with equal
probability one of particle j’s neighboring sites, say w. If w € Dy, then we set Y; x4 = w,
and mix the packets carried by particle j with those at site w by pooling them together and
designating a random fraction of them to be carried by particle j and the rest to be left at
site w. If w € By, then all the packets carried by particle j are dropped off at site w, and
Yj k1 = Yj k. Since all the packets are eventually dropped off in B, Z; oo 1= limy 0 Z; &
exists for 1 <i < N almost surely.
Letx € D, S C Z4, and L > 1 be fixed. Associated with each

ﬁ* = ((nj)U€S7 (ﬁi)veBLa ﬁT, cees ﬁM)

is the Markov chain Z; whose initial condition Zg = (1), Yo) is given by the following: 7,
is prescribed by 7i,, i.e. at time 0, there are n} packets at site (xL) + v and 7 packets at
site v € B, ﬁj packets are carried by particle j, and Yy is uniformly distributed among all
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particle configurations in Dy. We claim—and leave it to the reader to check—that Y, and
Z differ only in the identity of individual packets and time changes that preserve the order
of the moves, so they have the same asymptotic distribution, i.e.

[ I o ==(117 (%))

where E is with respect to the evolution of the process Zj and

M
N=>"nk+ > s+ > il

veSs veBL j=1

For future reference,
E() = / By p)() U@D) (15)

where U is the uniform distribution over all particle configurations Y.
We are now ready to prove Theorem 1.

Proof of Theorem 1 Let 11, be such that

_ 1 ifv= <xL> L . '
v = [0 otherwise and 71, =0forallv, n; =0 forall.

Then the left side of (11) is equal to IE(L)(E xL)), and the right side is given by f T ( ) d,on ,
where pj; is the asymptotic distribution of Z o in the Markov chain above with N = 1 and
Ziop= (xL) From the transition probabilities of Zy, it is clear that if we (i) disregard waiting
times, i.e. times at which Z; ; does not change, and (ii) view the location of the packet when
it is carried by particle j as Y x, then the trajectories of Z; ; are those of a SSRW on Dy .

By Proposition 3, as L — oo the distribution of Z; (L ) rescaled back to dD is the hitting

probability of Brownian motion starting from x € D. Hence f T ( ) dp, — u(x) where u
is the solution of Laplace’s equation with boundary condition 7. O

Next we observe that Theorem 2 is reduced to the following proposition, the proof of
which will occupy the next two sections.

Proposition4 Letd > 1, D C RY, T on 9D, x € Dand S C 74 be prescribed. We fix
alson, = ((n})yes, 0,0, ...,0), and let Z,({L) be the Markov chain associated with in.. Then
letting N =" g1, we have

N 0D
. i,00 N
LIE“OOE(I:II ! (L)) = et

Proof of Theorem 2 assuming Proposition 4 We first prove the result assuming tightness of
the sequence (M;Lg)L 1o . Let oo be a weak limit point. Then putting together (11), (14)
and Proposition 4, we see that the moments of oo are those of a product of exponential
distributions with parameter 8(x) = u(x)~!. Hence i is such a product; see Sect. 3.2.

Since this is true for all limit points of MLL;, we conclude that u( ) converges weakly to the

measure claimed.
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It suffices to prove tightness one coordinate at a time, so we may assume S = {v}. Then
the same reasoning (with n} = 2 in Proposition 4) implies that sup, E(*) (f(%c L)) = C for
some C < oco. Chebyshev’s inequality then gives ]P’(L)(E(x Ly4v > N) < n% for all L, proving
tightness. O

We close this section with the following lemma.

Lemma9 Let Z; be a system with N packets, Z,j' be another system with N + 1 packets,
and suppose both have the same number of particles. Assume further that Z:‘O = Zio
fori =1,...,N, and Y;O = Yj for all j. Then with Zy coupled to the corresponding

coordinates in Z,j in the natural way, we have Z:‘k =Zixforalli=1,...,Nandk > 1.

Proof Without loss of generality, suppose that at step k, particle 1 jumps from site z to site
w, and that the union of the packets carried by this particle or at site w prior to the mixing
are labelled {1, ..., n}. Then the probability that after the mixing, the set of packets carried
by particle 1 is exactly {ji, ..., ji} C {1,2,...,n}is given by
G ) = L1 =D

p .115"'3.11 - I’l+1 (;;) - (n+1)!
If packet N + 1 is not at site w, then clearly the situation is not disturbed. If it is there, we
compute

G i+ PG Nt =y L L _Le=D
PG ) + PGt i =2 a2 T

Hence the dynamics of the first N packets are unaffected. They are also clearly unaffected if
particle 1 drops off its packets at the bath. O

Remark An implication of Lemma 9 is that when N > 1, the motion of each individual
packet, when seen in the light of (i) and (ii) in the proof of Theorem 1, is a SSRW. Thus
Proposition 4 is proved if these SSRW are independent, or close enough to being independent.
This is what we will show.

5 LTE for Site Energies: d > 2

In Sect. 5.1, we introduce, mostly for convenience, a small modification of the process Z,,.
This modified process is used a great deal in the pages to follow. Sect. 5.2 contains the proof
of LTE for site energies (Theorem 2) for d = 2. Due to the transience of SSRW, proofs for
d > 2 are simpler and are given in Sect. 5.3, along with the proof of Theorem 4.

5.1 A Slightly Modified Process

We have seen in the proof of Theorem 1 that with a suitable modification of Z,,, the movement
of the packet becomes a SSRW. We now carry out the same type of modification systematically
under more general conditions:

The phase space of Z,, is (D UBL)Y, and its dynamics are derived from those for Z,, in
the following way: First, let Z;,n =n(Z;,) where n(Z; ,) = Z; , if Z; ,, € D, U B, and
n(Zipn) =Yy nifZ;,, =€ Wethenletfy =0,and for j = 1,2, ..., define

tj = min {3ie(l,2.....N}: Z], #Z,_,}.
Jj=1
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Finally, set Z,-,,l = Zg.r,,' That is to say, first we confuse being at a site and being carried by a
particle at that site, and then we collapse the times when there is no action according to this
way of bookkeeping.

Remark We recognize that Z, is not Markovian (and is not especially nice as a stochastic
process). However, the order in which the N packets move about on Dy U By is preserved
as we go from Z), to 7 2, €ven as time has been reparametrized. As a consequence, Z,, has
the following 1mp0rtant properties:

.. C 5 (L 5 (L .. .
1. For each L, the joint asymptotic distribution of (Z E ;o, ce Z;\/,)oo) is identical to that of
( VAL Z(L) )

1000 "

2. Each packet 1nd1v1dua11y performs a SSRW on Dy U B; modulo waiting times (during
which it stands still).

3. The addition of new packets in the sense of Lemma 9 does not affect the order of move-

ments of packets already under consideration.

When two packets are at the same site, their next moves are not independent. We prove a
uniform bound on how long they are likely to stick together:

Lemma 10 Assume N = 2, and Zl,ko = 22,k0 ¢ Br. Let k be the smallest positive integer
such that 21,k0+,( # 22,k0+/<~ Then

Pe > k) < (2/3) T k=1,2,....

Proof The only way to find out what happens in the Z -process is to go back to the correspond-
ing step in the Z-process. Below we enumerate all possible scenarios for Zi’,ko, i =12,

that correspond to 21, ko = quko, and consider for each scenario the probability of the two
packets staying together in the next one or two steps:

Scenario 1 At time ko, exactly one of the packets is carried by a particle, or the two packets
are carried by different particles. In both cases, x = 1, i.e., they will separate in the next step.
Scenario 2 Both packets are carried by the same particle. Then P(x = 1) = ObutP(k = 2) >
%. Reason: This particle jumps, carrying both packets to the next site, where with probability
% it drops one packet and carries the other, a scenario that is guaranteed to lead to k = 2.
Scenario 3 Neither packet is carried by a particle. Before the next move can occur, a particle
has to enter the site, and with probability (%, %, %), picks up (i) neither, (ii) one, or (iii) both
of the packets. If (i) occurs, Scenario 3 is repeated. (ii) and (iii) are followed by Scenarios 1
and 2 respectively. O

Notation In this paper, we denote every universal constant by C, so that each occurrence
of C may stand for a different number, even in the same line.

5.2 Proof of Theorem 2: d = 2

We now focus on the planar case. Let Z,, = Z,(1L) be as in Proposition 4, and Z,, the modifi-
cation of Z,, as defined in Sect. 5.1. For 8,6 € (0, 1) and i, j € {1, ..., N}, we define

Ti,j = min {n : dist(Z,;”, Zj,”) > Lﬂ}
and 7; = min {n : dist(Z,-,,,, (xL)) > Lﬂ""s} .

In general, the definitions of 7; ; and 7; depend on packets other than i and j (due to the way
we collapse time when going from Z,, to Z,l), so let us first assume these are the only two
packets present.
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Lemma 11 Consider D C R?, and assume N = 2. Then for every B € (0,1) and § €
(#, 1 — B) there is a constant C = C(B, 8) such that

C
P(771 <t12) < 7100 for all sufficiently large L.

101

Proof Our plan is to write

IF’(Tl < 11,2) < ]P’(’Tl <712, 712 < CLH'ﬂ_S) —HP’(‘CM > CLH'ﬂ_S)
<P (71 < CL"™F?) 4P (112 > CL'PP),
and prove that each of the two terms above is < % for large enough L.

Consider first the second term. Decomposing the steps before 71 2 according to whether
Zi, = Z3,, we claim that

g

where |.| denotes the cardinality of a set. To see that, we let ap = 0, and define

. . B c
{n 2Zin #F Zop,n < Tl,zH > L' 5) < 7100 (16)

a, = min {k > dy— |Z1,k #= ZZ,k} and U, = 21,[1" — ZZ,an-

Then the process U, is a planar SSRW as long as it is away from the origin. Whenever
the SSRW would reach the origin, U, performs two steps of the SSRW thus avoids the
origin (more precisely, for any x € 7% and any ¢;,e; € {(0, 1), (0, 1), (1,0), (=1, 0)},
P(Upy1 =x +e|lU, =x) =1/4if x +¢; #(0,0) and P(Uy 1 = ¢;|U, = ¢;) = 1/16).
Observe that by construction

Hn | Z]yn #* Zzyn; n< ‘L’1,2H = rr}lm {||U,,|| > Lﬁ} .
It is easy to show by the invariance principle that there is a p > 0 such that
]P’(min{HUnH > 1P} < L2ﬂ) >p
n

holds for any starting position Uy with [|Up|| < LP. In fact, the left hand side converges to
e /2 as L — o0, but we will not need this. By induction, ||U, || reaches LB in time kL%#
with probability at least 1 — (1 — p). Since 1 — 8 — § > 0, the choice k = L'=#~3 gives
(16).

Now it is well known that for two dimensional random walks, the number of returns to the
origin up to time L'*#~% is O (log L) as L — oc. Furthermore, formula (3.11) in [12] implies
that the probability of the number of returns to the origin being bigger than (%1 log? L is
bounded by C/L'%. Letting ¢; be the duration that the two packets stick together at their
kth meeting, we note that these random variables are independent, and each is stochastically
bounded by the geometric distribution in Lemma 10. Thus we have

P(ltn = 112 Ziy = 2o}l > CLIHY)

100 e
<P (# meetings before 712 > [—] log2 L) + P Z Sm > cL!tA=3
g
m=1

C C
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This completes the proof of P (tj» > CL'/7%) < %

To finish, we let W,, denote the SSRW corresponding to Z _k with waiting times collapsed,
and note that

n
P(7; < CL'™P7%) < ]P( sup [ D Wl > LW)
k=1

n<CL1+B=o

CL+B-8 n
< > IF’(HZWkH >Lﬂ+‘3).

n=1 k=1

Since our assumption (1 — 8)/3 < § implies § + 6 > %(1 + B — ), it follows by moderate
deviation theorems such as Lemma 3 (by projecting onto one coordinate, for example) that

each of the probabilities in the last line is bounded above by a term of the form < cje™2 L,
Thus the sum is < % for large L.
The proof of the lemma is now complete. O

We now return to the case of N packets for arbitrary N, and let 7; and 7; ; be as defined
at the beginning of this subsection.

Lemma 12 Let D C R2 Givenany ¢ > 0, let f = 1 — 2¢ and § = &. Then for any
i €{l,..., N}, the following holds for all sufficiently large L:

P (Z’,n = Zj,n € Dy, for some n > T; and some j #* i) < 4(N — 1)e. (17)
Proof First we claim that for each i, j € {1,..., N} withi # j, we have
C
P(7; < Ti,j) < W» (18)

i.e., Lemma 11 in fact holds for any pair i, j in a process with N packets. To go from N = 2
to general N, observe that while the definitions of 7; and 7; ; depend on the packets present
(more time steps are collapsed when there are fewer packets), (18) concerns only the relation
between 7; ; and 7;, not the actual values of these random variables, and relations of this type
are not affected by the presence of other packets as noted in the Remark in Sect. 5.1.

Now for fixed j # i, Lemma 4 applied to W,, = Z,” — Z/',n tells us that with probability
> 1 — 3¢, packets i and j do not meet after 7; ; for L large. (The result in Lemma 4 is not
affected by waiting times.) Thus picking L large enough so the right side of (18) is < ¢, we
have

P (Z,',n = Zj,,, € Dy, for some n > ’Z})
< P('E <7Tij) +P(Zi, = Zj,n for some n > T;|7; > l'i,j)
< &+ 3e =4e.
Summing over all j # i gives (17). O

For d = 2, we now prove Proposition 4, from which Theorem 2 follows as explained in
Sect. 4.3.
Proof of Proposition 4 (d = 2) We will prove
% (L)

N
E HT -’L’°° —u(x)N| >0 asL —> oo (19)
j=1
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inducting on N. The case of N = 1 is Theorem 1. We now assume (19) has been proved for
a process with N — 1 packets, and note that when embedded in a process with N packets,
the same asymptotic distribution holds for packets 1, 2, . - 1.

Let an arbitrarily small ¢ > 0 be fixed. We consider L large enough for (17) to hold and for
such L, we define the stopping time S to be the smallestn > 7 such that 7 N = =7, jin €DL
for some j # N (setting S = oo otherwise), and define another process Z, ~ . With the
property that Z;n =7 N forn < S, and it is a SSRW independent of the movements
of the other N — 1 packets after time S. This ensures (i) ZT\, ~o 18 independent of the joint

distribution of Z 0, j = 1,..., N — 1, and (i) P(Zyy o # ZN.ec) < 4(N — D¢ for all
large enough L.

Zjo
7 )aST(Zj)

Simplifying notation by dropping the superscript () and abbreviating T (

and T (ZIZ""’) as T(z}), we have

’]E (n?’le(zj)) - u(x)N’ < ‘E ((HN;IIT(ZJ‘)> (Tzn) - T(Z?‘v)))‘
+ [E(m576)) - B (TE) - BT )]
+ (M5 7)) - BT an) —u)
n ’u«: (nN 1T(z,)) ~u(x)—u(x)N‘.

Of the 4 lines on the right side, the first and the second = O(¢), due to the fact that T is
bounded and P(T (zy) # T(zj‘\,)) = O(e); the third tends to 0 as L — oo by Theorem 1
and Proposition 3; and the fourth tends to 0 as L — oo by our inductive hypothesis. This
completes the inductive step and the proposition. O

5.3 Related Proofs

Details aside, the proof of the d = 2 case of Theorem 2 can be summarized as follows: We
fix two distinct length scales, LA+ and LA, and consider 7;, the time it takes packet i to
attain a net displacement of LA%9, and 7;,j, the time it takes packets i and j to separate by a
distance of L?. Notice that Z,-,n - Z/’,n is a SSRW except for the fact that the packets tend
to stick together for a random time with finite expectation when they meet. We then showed
that

(a) with high probability, 7; > t; ;, due to the difference in length scale and also to the
fact that O(log L), the number of encounters between packets i and j before 7; ;, is
insignificant;

(b) two packets that are L? apart are not likely to meet.

It follows from (a) and (b) that after time 7;, the trajectories of packets i and j are effectively

independent, and the desired result follows from the harmonic measure characteristization

of hitting probability starting from x € D.

The proofs below follow the same argument, with some simplifications.
Proof of Proposition 4 (d > 2) Transience of SSRW in d > 2 simplifies the estimates.

Specifically, let W, be a SSRW in Z%, d > 2. Then the number of encounters in (a) can be

estimated by the fact that given ¢ > 0, there exists K such that

P(# encounters > K) < ¢,
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and (b) follows from the fact that given & > 0, there exists C such that
P(Wy = 0 for some k|Wy > C;) < e.

Indeed the two length scales in the proof in Sect. 5.2 can, if one so chooses, be replaced by
two suitably related constants C; < C». O

Proof of Theorem 4 for d > 2 Theorem 4 differs from Theorem 2 in that the initial
locations of the packets may be O (L) apart. As can be seen from the sketch of proof above,
the following two places in the argument may be affected: (i) With regard to the number of
encounters before 7; ; in (a), the probability of meeting at least once cannot be increased if the
packets are farther apart, and once they meet, the probability of meeting again is independent
of their initial separation. (ii) For each L, when rescaled back to D the packets do not start
from x but from x; with |x; — x| = O(L?~1). The convergence of hitting probabilities
starting from these slightly perturbed initial conditions is covered by Proposition 3. O

6 LTE for Site Energies: d = 1

In dimension 1, independent random walkers meet too often for the type of argument in
Sect. 5 to work. On the other hand, when two packets meet, it suggests the possibility of
exchangeability, and we will make use of this in our proof. We may assume without loss of
generality that D = [0, 1], so that B, = {—1, L + 1}, and write L = —1, R = L + 1.

6.1 The Case of N =2

The argument in this subsection is borrowed from [26]; we need only the N = 2 case, which
is considerably simpler. Starting from usual initial conditions, we let A; = £ or R, and
define

PL(A1, Ay) = P(Z{), = A\ 23 = Ay).
PL(AL %) =P@Z{") = A, P(.)= lim PL( ), et
L—o0

1,00
Lemma 13 [t is sufficient to show that
P(R,R) = x.
Proof We know from 1d SSRW (or the gambler’s ruin problem) that
P(x,R)=x and P(L,x)y=1—x. (20)

If P(R, R) = x2, then P(L, R) = P(x,R) — P(R, R) = x —x% = x(1 — x), which is also
equal to P(R, £) by symmetry. Thus as L — 00, Z; « and Z; « are independent Bernoulli
random variables with weights (1 — x, x), giving

. Zl,oo Z2,oo _ 2
Lll)mOOIE(T( 3 )T( 2 )) =[u(x)]".

Lemma 14 P(R, R) > x2

Proof Let f(x,y) = xy. For each ZﬁL)—process as defined in Sect. 5.1, define

Af (Zl,m ZZ,n) =E (f (Zl,nﬂ,zz,nﬂ) | Z1 0, ZZ,n) - f (Zl,n, ZZ,n) .
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Then Af = 0 for all situations except when 21,,, = Zzyn, in which case we have
1, . 2 . 2 )
E(Af | two packets move together ) = 3 ((G=D"+ G+ D) —i"=1,

where i is the location of the packets; otherwise Af = 0.

Therefore, for any finite L, f (Z1 s Z2 n) is a bounded submartingale. As n — oo,
f (Z Las Zz, n) converges to f (Zl,oo, Zz,oo) almost surely. Furthermore, by the submartingale
property, we have E(f(Z1,00, Z2,00)) = E(f (Z1,0, Z2,0)). Thus

P(R,R) = lim L7°E(f (Z1.c0» Z2.00)) = lim L72f (Z10,Z20) = x
L—o00 L—o0

Lemma 15 P(R, R) < x2

The proof of this lemma is simpler if we work with a process that differs from Z,, by a
half-step. More precisely, in Z,,, a packet first jumps before it picks up a random fraction
of the packets at its destination. We let Z; be Z, with the order of jumping and mixing
reversed, and apply the procedure at the beginning of Sect. 5.1 to Z; to obtain a process we
call Zn (instead of Z”). Clearly, as L — oo, Zl, Z,, and Z,, all have the same asymptotic
packet distributions. The notation P (-, -) below refers to Z,,.

Proof of Lemma 15 We consider the function

S, y)=xy —clx —y|

where c is a constant to be determined. Let A f be as before. Then it is easy to see that Af =0
when Zl,n * Zz, n If Z ln = Zz, n, then Af = 1 if the two packets move together in the next
step, and A f = —c if the next step involves exactly one of the packets. Now the two packets
can move together only if they are both available to be picked up at step n + 1, and even in
that case, the probability that exactly one of them is picked up by the particle in question is
= % Thus we conclude that independently of what is going on in the Z*-process,

~ ~ ~ ~ 1
P(Zin1 # Zowiloin = Z20) = 5. @
Choosing ¢ > 3 therefore will ensure that Af < 0 at each step. Arguing as above, we then
obtain P(R, R) < x?. o

Notice that the left side of (21) can be zero if we use Z,, instead of Z,,, for two packets
carried by the same particle will necessarily move together if the particle first jumps before
it mixes. This is our reason for using Z,,.

6.2 Proofs of Theorems 2 and 4 in the Cased =1

Following [20], we use the method of exchangeable random variables to extend the results
above to the case of N packets for arbitrary N.

Fix x € [0,1] and § C Z. Let vy, v2,--- € S (repeats allowed). For each N and L, we
consider the process Z,, = ZELL) with Z; o = (xL) +v;,i =1,2,..., N,and for A; = L or
R, we define

Z Zy,
PLovy.... UN(AI,...,AN)zP( L°°=A1,..., L°°=AN),
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where the probability is defined to be the average over all initial particle configurations Y.
We begin with a lemma that sets the stage for exchangeability.

Lemma 16 For every N € 7 and every permutation o of {1, ..., N},

im  (prvy,on (Al oo AN) = PLov oy (Ao (D), - - o Aoy)) = 0
L—o0

Proof Since binary transformations generate the symmetric group, it suffices to consider o

with the property that for some i # j, 0(i) = j,o(j) =i,ando({) = L forall £ # i, j.

For fixed L, we consider the process Z,, = Z,(f‘) , and begin with the following observation:
Abbreviating py, y,....vy as p, we claim that

,,,,,

p(A],‘..,AN|Y, F) = p(Ag(]),...,AU(Nﬂ?, F)
if F is one of the following two types of events:

() F={Z;, =Zj,} for some n;
(ii) for two particles k # k’ and for some n,

F= {Zi,n =k, Zj,n =k,! Yk,n = Yk’,n and Zl,n £k, kK'V ¢ #1,j}

To see that the asymptotic distributions are as claimed in case (i), we simply switch the roles
of packets i and j from time n on. In case (ii), packets i and j are carried by two different
particles, which are at the same site at time n. In this case, we switch not only the roles
of packets i and j but the sets of randomness for particles k and k” from this time on. The
condition that these particles do not carry other packets at time n ensures that the asymptotic
distributions of other packets are not affected. We will refer to an event corresponding to (i)
or (ii) above as a “viable switching” for packets i and j.

Let Z be the process obtained from Z,,. As explalned in Sect. 5, module waiting times,
Z, n— Z] n 1s a SSRW when it is # 0. When Z in = Z] n, the duration they spend together
following each encounter is controlled by Lemma 10. As these durations are independent for
different encounters and are bounded by random variables with finite expectations, it follows
from the discussion in Sect. 3.1 that the number of times packets i and j meet before reaching
the bath is O(L); we in fact need only that

P (# of encounters > C) — 1 as L — oo for every C. (22)

Let 7| < 7o < ... be the times packets i and j meet in Dy in the Zn-process, i.e.
Z it = Z,-,fq € Dy, and let 7; denote the corresponding times in the Z,,-process. We let F,
denote the event that a viable switching occurs at the gth meeting, and will show that there
exists b = b(N) > 0 such that

IP’(FqIFf,...,FqC_l, and 7, occurs) > b. (23)
Once we prove this, the assertion in the lemma will follow: We make the relevant switch the
first time a viable switching occurs, and the probability that this occurs before the packets
reach the baths tends to 1 as L — o0.

To prove (23), suppose the gth meeting takes place at site v. Confusing Z, with Z,,
momentarily, we assume for definiteness that packet i is the first to arrive at site v, where
it remains through time 7, at which time packet j is brought to site v by particle k’. Under
these assumptions, there are the following possibilities:

Case 1 Z,-,,q = v. Since ]P’(Zj,fq =v) = %, P(Fy) = % in this case.
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Case2 Zir,—1 =v,and Z; , = k. In order for a viable switching to occur, packets i and j
must be the only packets carried by particle k" at the end of step 7. There being a maximum
of N packets available to be picked up by particle k” at this time, we have

1 2
> . .
“N+1 NWN-1

P(Ziy, =Zjr, =k and Zy o, #K VU #1, j) (24)
Case 3 Z; 1,1 = k for some particle k. Since k # k', for a viable switching to occur, packet
i must be the only packet picked up by particle k the last time it moved; that probability is
> m As packet j must also be the only packet carried by particle £’ at the end of step

2
74, we have P(F,) > (m) .
We have thus a lower bound b for F; that depends only on N. O

Notice that the argument above applies equally well to the setting of Theorem 4: even with
their initial positions O(L?) apart, we still have (22) beacuse of the gambler ruin’s estimate
and the argument above.

Proof of Theorems 2 and 4 ford = 1 Let vi,va,--- € S and py 4. vy be as defined at
the beginning of this subsection. For each N, py y,,.. v, has a convergent subsequence as
L — oo by compactness. It follows that there exists L, — oo so that as n — oo,

PLy.vy,....oon = Poovy,....vy for every N.

Equivalently, if X iL), X gL), ... are {0, 1}-valued random variables defined in such a way that
when {0, 1} is identified with {£, R}, the joint distribution of (X', ..., X'} is equal to
...,uy for each N, then there is a sequence of random variables (X1, X2, ...) to which
(XY‘”), XEL"), ...) converges.

By Lemma 16, the sequence (X, X3, ...) is exchangeable, and de Finetti’s Theorem
applies (see Sect. 3.1). It follows from Sect. 6.1 that if m is the probability in Theorem 5,
then

1
x = P(X; :1):/ odm,
0

1
=PX;=X,=1) :/ 9%dm.
0

From these two integrals, together with Jensen’s Inequality, it follows that m = §,, the delta
function at x. That in turn implies, by the characterization of the measure m in de Finetti’s

Theorem, that X1, ..., Xy are independent. Since the analysis above applies to any limit
pointof py y,,...vy as L — 00, we conclude that py, ., . ., converges to the product measure
as claimed. O

7 LTE for Particle Numbers and Energies

This section is dedicated to the proof of Theorem 3.
We start with the following simple observation: The condition M (L) /Ld — avol(D)
implies that for any v € Dy,

M(L) {# particles at site v = K}

M(L) 1\* 1 \MBE gk
- — 1 - — - —e as L — oo.
K Dl Dl K!
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A similar computation involving finitely many sites proves statement (A) of Theorem 3.

We will give a proof of statement (B) of Theorem 3 in the case S = {0}. This assumption
is not necessary, but it simplifies the notation considerably, and the proof of the general case
is entirely analogous.

To fix notation, let K € ZT be the number of particles at site (xL), and fix arbitrary
nonnegative integers ng, ﬁﬁ], o, ﬁi"K], to be used as moments of the site and particle ener-
gies. For L with M(L) > K, let (71, ..., 7x) be an ordered list of distinct elements of
{1,2,...,M(L)}. Welet Q(71, ..., Tx) denote the event that these are exactly the particles
atsite (xL), and define n, = n, (73, ..., Tx) by

_|ny  ifv=(xL)
=10 ifv £ (xL),

Lemma 17 The following holds for all large enough L: Let (71, . .., Tk) be fixed. We define

#, as above, and let N = nj + Zle ﬁikj]. Then

ity ifj=T

0 otherwise. (25)

=0 o, iy = |

/ F(i,, Do, . 10dnP & X) ~ w2, ..., Tx) - w@1¥. (26)

Observe that the quantities on both sides of (26) are independent of (7y, ..., 7x), as
any two lists of K particle names are clearly interchangeable, so the “~" can be interpreted
without ambiguity as convergence as L — oo. Let us denote the right side of (26) by
1B (k) - [uY.

Proof of Theorem 3 (B) assuming Lemma 17 and S = {0} Let

Ag = {# particles at site (xL) = K}.

We project u&)| A, the conditional measure of ;1) on A, to the site and particle energy
coordinates on (x L). The resulting probability, vfcl‘,)( will be viewed as a measure on RX !
with coordinates (§, w1, ..., wg), the £-coordinate corresponding to site energy.

Let ng, ﬁﬁ], e, ﬁE‘K] be fixed. Using the notation above, we have

Sk

)]

* K
" @i W
[ T it
0" j=1"1

Jl

ng k

1 S( L) nT. . =
—x 2 [T oo (VG Dlax)
(T, Tk) 0" j=1 LI
1 1 _
- F(Ti, . T Do, o0 —5 4 (kP& %))
‘ Z / % 1, s 4K (L)
K(,T] 7777 TK) /J' (AK)
M(L) (L) N _ N
( X ) w = (Qr)u(x)] DA [w()]™.

The first two equalities are by definition. The convergence as L — oo and the last equality
are from Lemma 17 and the comments following that lemma.
As this holds for all ng, ff[kl], e ﬁ’[kK], we conclude, as in Sect. 4.3, that v)(CLI)( tends to a

product of K + 1 exponential distributions each with mean u (x). O

Proof of Lemma 17 Let (77, ..., 7k) be fixed. We say a particle configuration o € Q if
O(7y, ..., 7k) holds, and introduce the function

F'(n, %, 0) = F(i1, X)1{5e 0.
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The assertion in Lemma 17 can then be rewritten as

/ F'(t,, X, X)dp'™ (&, X) ~ p{X € 0} - [u)1™. 27
Asin Sect. 4, we approximate the left side of (27) by E(F' (i, X,. X,)), and decompose into
sample paths o = (oo, ..., 0,) of particle movements on [0, ¢]:
/E(F'(ﬁ*,i,, X)lky = X,,0)P(do) (28)
=> E(F (i, %,)|%) = X,.0)P(0)
m  o=(0y,..., Om)
om€E
=> > E(FG, i)y =1i,.0 P (29)
m  g=(00,...,0m)
on€eQ

The first equality above is the definition of F’ and the second follows from Lemma 7.
Informally, for an X,-trajectory that ends in a state with a set of particles at a certain site, its
“dual trajectory”, which is obtained by reversing the paths of the particles, should start with
the same set of particles at the same site.

Taking the limit # — oo in lines (28) and (29) we obtain

_ _ N Z(L)
/F/ (i, X, X) du'™ (%, X) =IE‘,(HT( ‘L"’O)l{ZOQQ}). (30)

i=1

To handle the right side of (30), we alter the definition of Z in Sect. 4.3 slightly by restricting
Y in Zy to Q, everything else unchanged. Let Ug denote this new probability distribution
of Y, and define E/(.) = fIE@ ,)-,)(~) Up(dY) (cf (15) in Sect. 4.3), so that the right side of

(30) is equal to
_ LA
u® ({7 0}) & (HT(;"’))

To obtain (27), it remains to check that Proposition 4 holds with IE replaced by E": Ford > 2,
this is not an issue, since properties of ¥ do not appear in the proof. For 1d, one needs to
check that the switching arguments in Sect. 6.2 are not affected by the restriction of Y to Q,
and that is true as well. O

8 Possible Extensions
8.1 Hydrodynamic Limit

In the case where the density of particles is positive, we expect that the method of the previous
sections, namely duality, can be applied to identify the time dependent behavior of the system
in the diffusive scaling limit, also called the hydrodynamic limit. We formulate a conjecture
here and explain heuristically the form of the thermal conductivity.

As in the discussion before the statement of Theorem 3 in Sect. 2.2, we assume there is a
number « > 0 such that M (L), the number of particles in the system, satisfies M (L)/L? —

a vol(D) as L — oo. Following the notation in Sect. 2.2, we define vt(i) S.Ki...Ks analogously
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to v)ELS) K,...ks With the invariant measure w'D) used to define the latter replaced by the

distribution of X fIL} . Unlike v)EL; Ky K the distribution of vl(ﬁ) S.K1...Ks (for fixed r) depends

strongly on initial condition. For simplicity, we consider initial conditions of the following
kind: We fix a function f, an arbitrary positive continuous extension of 7' to D, and require
that at time ¢ = 0, both the site energy &, and the energies of all particles at site v are assumed
to be f(v/L), whereas initial particle configurations are taken to be uniformly distributed
on Dy . Finally, for a given initial condition, we let SE?H denote the coordinate of X fi;
corresponding to the energy at site v.

Conjecture 1 The following hold in the setup above:
(a) Convergence to the heat equation For any x € D andt > 0,

. L
Jim_ E“)(g((xz)m) = u(x, 1)

where u(x, t) is the unique solution of

o

- mA”’ u,x) = f(x), ut,x)lxeop =T. 31)

Uz
(b) LTE in the hydrodynamic limit For any x € D and t > 0, the conclusion of Theorem
3, with v)(CLS) K1, Ks replaced by vt(i)s K. Ks and u(x) replaced by u(x, t), remains valid.

We expect that Conjecture 1 can be proved by duality but a complete proof will involve
many technical details. As the subject of the present paper is NESS, we have elected not to
include a proof here.

To explain the thermal conductivity heuristically, consider the environment seen from
the packet. We claim that for L large, the invariant measure of this process is close to the
following one: the packetis carried by a particle with probability o/ (e + 1), and independently
of whether the packet is carried by a particle or not, there is an independent Poissonian number
of particles at each site with mean «. Now by the ergodic theorem for Markov chains, the
number of jumps of the packet before time ¢ is approximately f«/(a + 1). Consequently
the packet’s trajectory, when rescaled diffusively, converges to a Brownian motion with
covariance matrix #ﬂ) Id.

A result along the lines of Conjecture 6 for a similar model (allowing spatial inhomogene-
ity) is the subject of a forthcoming paper by the second-named author.

8.2 Remarks and Further Extensions

Our model belongs, in fact, to the category of “gradient systems”. To see this, let us denote
the number of particles at site v by m, = Zf‘il 8, (X;) and the total energy per site by

M
E, =& +E, where &) =D ni8u(X)). (32)
i=1

The current along an arbitrary edge (v, v+e) is denoted by Jy -+, thatis, forany v € D\ By,
we have

d
GEU = Z Jvfe,-,v - J‘U,U+6[5
i=1
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where ¢; is the ith coordinate vector. Also by definition of the process X, forany v, v+e €
Dy,

1 , 1 ,
Jovte = ad (mv‘i:v + Eu) ~ad (mv+efv+e + §v+e) . (33)

Since this relation holds, the system is of gradient type.

The hydrodynamic limit of gradient systems has been studied by a number of authors
using the entropy method of Guo, Papanicolau and Varadhan [18]. Directly relevant to the
present work are two papers by Eyink, Lebowitz and Spohn, which prove local equilibrium
for a wide class of gradient systems [14,15]. Note however that our setting is not covered by
these papers, as the local dynamics in our models are more complicated; consequently we
also have a more refined version of LTE. While it is likely that the entropy method can be
applied to our model, we do not pursue that here.

Finally, we mention some possible directions of future research.

(1) Can one consider some biased random walk in the dual process in the spirit of [7]? Some
preliminary results in this direction will be included in a forthcoming paper.

(2) Consider the case when the particle density is not constant, but is a function of time
and space. Let us assume for the moment that M (L) is Poissonian with expectation
«o|Dr | and the particles are indistinguishable. Then for any fixed constant # and «, one
easily sees that the measure that assigns independent Poissonian (with expectation o)
number of particles to each site and independent exponential energy (with expectation
u) to each site and particle, is invariant. Let us denote this measure by HS ep, Hua (this
is the equilibrium case, cf. Proposition 1). Now in the non-equilibrium case (with initial
conditions as in Conjecture 1), and recalling the definition of E from (32) we expect that
the triple (o L(tL?), Ex1(tL?), &L (+L?)) for large L is governed by the hydrodynamic

equation
_ 1
o = 570
E;=AD(E,®)
E
u = m
where
1 (a—Du+E o
PE, a)=— "Nd = = E.
(E, @) 4d/(mé+$) Mu,a 4d 2d(a + 1)

[The first equation is obvious and the second one comes from (33)]. Note that this equation
is in general non-linear and its special case for constant « is the equation in Conjecture
1.

An interesting problem would be to prove the LTE in this limit when both the temperature
u and the particle density « is forced out of equilibrium (the latter one means that particles
are born and killed on the boundary). More substantial modification of our argument will
be needed to treat this case, as it was important in our proof that (1) the number of
particles is fixed and (2) we start them from their invariant distribution.

Acknowledgments LSY was supported in part by NSF Grant DMS-1363161.
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Appendix: Proof of Proposition 3

Our proof uses the continuous mapping theorem, which can be stated as follows (see e.g.
Theorem 5.1 in [1]). As before, weak convergence is denoted by “=", and for a mapping f
and measure i, fiu is the measure given by fiu(A) = uw(f~1(A)).

Theorem 6 (Continuous mapping theorem) Let X and X' be separable metric spaces, and
let P(X) denote the set of Borel probability measures on X. We consider a Borel measurable
mapping f : X — X' with discontinuity set Dy, and let w,, u € P(X) be such that (i)
Mn = pasn — ooand (ii) w(Dy) = 0. Then fip, = felb asn — oo.

To fix some notation, for ¥ € Rt we let
X = C([0, %1, RY)

be the set of continuous maps from [0, ] to R endowed with the sup norm, making it a
separable metric space. For a € RY, we let B¢ be the standard Brownian motion starting
from a € R? up to time ¥, and with a slight abuse of notation, we use B¢ to denote also the
corresponding measure on X. Let W be the rescaled SSRW up to time |nT | starting from

a € RY, ie. if § is a d-dimensional SSRW with Sy = (a/n), then Wé(k/n) = ka for
k=0,1,...,|n%], and W/ (¢) is obtained by interpolating linearly between t = k/n and
t = (k4 1)/n. As with B¢, we use W, to denote also the corresponding measure on X. By

the invariance principle,

W, = BY asn— o0 (34)

on any interval [0, ¥]. The convergence in (34) differs from that asserted in Proposition 3 in
that the latter is for paths that terminate not at a fixed time but upon reaching aD.

Proof of Proposition 3 Let x € D and ¢ > 0 be given. We write
D'={yeRIzeD, |y—zl <1},

and let T = T(e) be such that a Brownian motion starting from x reaches D! before
time ¥ with probability at least 1 — ¢/(2||T||x0). For w € X = C([0, %], RY), we define
T(w) = min{r € [0, ] : w(t) € dD} if such a ¢ exists, = oo if it does not. Then we define
f:X— Rby

T (w(7)) ift <%
maxyeyp T (y) if T =o0.

f(w)=l

Lemma 18 B*(Dy) =0

We first finish the proof assuming the result of this lemma. Via a rigid translation, we may
assume x = 0 (so that xL € Z< for all L). Then with S = xL, S,,/L in the proposition is
Wgz (n/L?) in the notation above. Observe that we are now in the setting of the continuous
mapping theorem: Wgz = B%as L — oo is condition (i) in Theorem 6, and the assertion in
Lemma 18 is condition (ii). Thus the theorem applies, and its conclusion together with our
choice of T gives exactly (5) in the case Sop = xL.

To prove the full statement of Proposition 3, we observe that if the result was false, there
would be a sequence xj € R? with x; — x and a sequence Ly — oo such that if S,(,k) is the
SSRW on Dy, with S(()k) = x L, then
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(k)
(5=

where 7 is the smallest n such that S, ®en .- Such a scenario cannot occur: Since WL2 =

> &

(xp —x) + W"z, it follows from (34) that Wz’% = B* on [0, ], and the argument in the last

paragraph w1th W in the place of WEZ gives the opposite inequality. O

To complete the proof, it remains to show that the discontinuity set of f has zero Wiener
measure.

Proof of Lemma 18 First, we identify the discontinuity set D. If 7(w) = oo, then the
trajectory of w up to time ¥ is bounded away from 9D, hence f is continuous at w. If
t(w) < %, then liminf,_, t(0’) > 7(w) for the same reason, but the corresponding
lim sup can be strictly greater than t(w) if the trajectory of @ does not cross to the other side
of 3D immediately following 7 (w). More precisely, we have deduced that Dy = {t = TJUE
where

E={w:t(w) <Tand In = n(w) > 0s.t. w((z, T + 1)) C D}

where D is the closure of D.

Clearly, {t = T} has measure 0, so it suffices to show B*(E) = 0.

Since harmonic measure is absolutely continuous, the set of @ for which w(7) lies at a
point at which 3D is not C? differentiable has measure zero. Let w be outside of this measure
zero set, and fix an orthonormal basis {eq, ..., e;} of R such that e | is the outward normal
to D at w(t). Then there exist K > 0 and a neighborhood U of w(7) in R such that

yeD implies yi < KI[(y2, ..., va)ll* (35)

Recall that by the strong Markov property, B* starting from the stopping time 7 is a Brown-
ian motion. In particular, by projecting this Brownian motion, which we call é(t), to the
line parallel to e; and to the hyperplane spanned by e», ..., e;, we obtain two indepen-
dent Brownian motions, él (t) and lA?d,l (t). Since él (t)/+/f and éd,l (t)/+/1 have standard
normal distributions,

P(|1B1(1)] < t*?) = 0 and P(|Ba_i(t)]| > ' /VEK) = 0
ast — 0. Choosing t,, | 0 so that

ZPuBlam <5, ZP(HBd 1@l > 1" IVE) < oo,

it follows from the Borel-Cantelli lemma that | B (t,)| > 2> and | Ba—1 ()|l < t'° /K
hold for all but finitely many n. For #, for which these inequalities hold, we are guaranteed
that B(t,) ¢ D if Bi(t,) > 0 and B(t,) € U.

Now it is a well known fact that on the time interval [0, 5] for every n > 0, a 1D Brownian
motion starting from 0 makes infinitely many excursions from 0, and each excursion is
positive with probability 1/2 independently of other excursions. Applying this fact to B (1),
and assuming (as we may) that each #, lies in a different excurswn it follows that with
probability 1, Bl(t,,) > 0 for infinitely many n. Since IP’(B(t) e U,t € [0,n])) - 1as
n — 0, we have proved that B*(E) = 0. m}
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