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Abstract Recently, mass casualty incidents (MCIs) have
been occurring frequently and have gained international at-
tention. There is an urgent need for scientifically proven and
effective emergency responses to MCIs, particularly as the
severity of incidents is continuously increasing. The emergen-
cy response to MCIs is a multi-dimensional and multi-
participant dynamic process that changes in real-time. The
evacuation decisions that assign casualties to different hospi-
tals in a region are very important and impact both the results
of emergency treatment and the efficiency of medical resource
utilization. Previously, decisions related to casualty evacua-
tion were made by an incident commander with emergency
experience and in accordance with macro emergency guide-
lines. There are few decision-supporting tools available to
reduce the difficulty and psychological pressure associated
with the evacuation decisions an incident commander must
make. In this study, we have designed a mobile-based system
to collect medical and temporal data produced during an
emergency response to an MCI. Using this information, our
system’s decision-making model can provide personal evacu-
ation suggestions that improve the overall outcome of an
emergency response. The effectiveness of our system
in reducing overall mortality has been validated by an

agent-based simulation model established to simulate an
emergency response to an MCI.

Keywords Mass casualty incident .Mobile-based system
design . Agent-based simulationmodel . Evacuation
decision-makingmodel

Introduction

Recently, mass casualty incidents (MCIs) have been occurring
more frequently and have drawn increased international atten-
tion. The terrorist attacks of September 11, 2001 made the
public realize the seriousness of MCIs [1]. In addition, the
terrorist train bombings in Madrid on March 11, 2004 [2], the
terrorist bombings in London on July 7, 2005 [3], the 2013
Boston marathon bombings [4] and the suicide bomber attack
in downtown Tel Aviv on April 17, 2006 [5] have enhanced
public awareness of the dangers ofMCIs. The aboveMCIs are
different from the MCIs caused by natural disasters. MCIs
caused by natural disasters, such as floods, hurricanes, earth-
quakes and tsunamis, will result in serious damage to the local
infrastructure, especially the communication and network in-
frastructures that may remain intact after MCIs that occur in
urban areas, such as traffic accidents. With the recent world-
wide increase in urbanization, emergency medical resources
in urban areas have become strained [6, 7], making emergency
medical responses more difficult when responding to terrorist
attacks or natural disasters that cause MCIs in urban areas.
There is an urgent need for scientifically proven and effective
emergency responses toMCIs as the severity of such incidents
continues to increase.

The emergency response to MCIs is a multi-dimensional
and multi-participant dynamic process that must change in
real-time. There are many sub-processes that need to be con-
sidered during an emergency response to MCIs, including
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casualty injury assessment and triage at the scene, medical
resource allocation among different emergency sites, casualty
evacuation strategies and strategies for admission to medical
institutions [8]. MCIs can occur anywhere, and the causes of
such incidents vary and include both natural disasters and
man-made damage. The number of casualties suffered in an
incident cannot be determined at the beginning of the event,
and there is a large gap in casualty numbers among different
incidents. The distribution of emergency medical resources,
such as medical staff, medical equipment and evacuation
vehicles is not balanced. The challenges faced during an
emergency response to MCIs are far different from the re-
sponse under normal circumstances and will vary based on
specific circumstances. Large-scale public health emergencies
can result in an overwhelming demand for healthcare re-
sources [9]. There may be many critical casualties needing
emergency treatment within a short time after an MCI. The
injury types can vary, and thus it may be difficult for a single
medical institution to handle all the casualties; the shortage of
emergency medical resources can also become very signifi-
cant. The above features suggest that post-MCI emergency
response strategies should be efficiency-based rather than
patient-focused to save as many lives as possible despite the
shortage of emergency resources.

The current study of the emergency response to MCIs is
focused on optimizing the use of existing medical resources
and includes the following aspects. First, there is research
focused on selecting indicators for casualty injury assessment
at the scene of the incident and establishing a triage scoring
system. The main aim of this research is to classify casualties
according to the extent of injuries and to assign the appropriate
level of medical resources based on those classifications; the
goal of such research is the optimal utilization of existing
medical resources. There are a number of scoring systems
used to assess the extent of a casualty injury. The injury
severity score (ISS) focuses on assessing casualties with com-
bined injuries [10]. The revised trauma score (RTS) evaluates
injuries based on systolic blood pressure (SBP), respiration
rate and the Glasgow coma scale (GCS) [11]. The trauma and
injury severity score (TRISS) determines the probability of
survival based on ISS, RTS and patient age [12]. There are
some triage schemas that give brief guidelines to emergency
providers for rapidly processing asmany casualties as possible
and discriminating injury severity through color tags. These
triage schemas include simple triage and rapid treatment
(START), sort-assess-lifesaving interventions-treatment/trans-
port (SALT), Careflight and others [13–17]. These schemas
propose that casualties be sorted into four categories: imme-
diate, delayed, expectant and ambulatory. Immediate patients
are those deemed to be critically injured and requiring imme-
diate intervention. Delayed patients are those injured “but not
expected to die within the first hour if care is delayed.”
Expectant patients are those who are presumed deceased or

who have catastrophic injuries, with survival not expected.
The START strategy treats immediate patients first, delayed
patients second, and then others as possible. In practice,
providers typically try to treat the patients in the worst condi-
tion first within each category. The Sacco Triage Method
(STM) provides a mathematical model of resource-
constrained triage, with an objective to maximize expected
survival given constraints on timing and resource availability.
Compared with START, STM has a better expected survival
rate for casualties under simulated conditions [18]. There are
special triage schemas for special casualties. Pediatric triage
tape is an easy to use, major incident primary triage tool based
on a modification of the triage sieve [19]. The jump START
pediatric MCI triage tool is the world’s first objective tool
developed specifically for the triage of children in multi-
casualty/disaster settings [20, 21]. There are some shortcom-
ings in the current triage scoring systems.Most triage schemas
are based on simulations or exercise validation and have not
been validated using evidence-based research in practical
applications [22]. No triage schema can cover the numerous
casualty types that may be faced in an MCI, which can reduce
the adaptability and flexibility required for various MCIs. In
practical applications, emergency providers differ widely in
psychological quality, maturity and experience, which impacts
triage decisions and affects the entire emergency response
outcome after an MCI [14–16, 18, 23, 24].

Second, medical resources are limited during an emergency
response to an MCI. Medical resources include medical staff,
medical equipment, evacuation vehicles and the capacity of a
medical institution to accept casualties. Although emergency
physicians are often on the front lines of a disaster situation,
too often they have not considered how they should modify
their decision-making or use of resources to allow the
“greatest good for the greatest number” [25]. Hence, studying
the effectiveness of the emergency response strategy for MCIs
is important. At present, many different types of research
adopt mathematical models and computer simulations to ver-
ify and validate specific emergency response strategies. F.
Fiedrich et al. [26] reported a dynamic optimization model
that used a detailed description of operational areas and avail-
able resources to calculate resource performance and efficien-
cy for different tasks related to an emergency response. John
L. Hick et al. [25] categorized space, staff, supplies and
specialization as four aspects to measure the emergency re-
sponse ability of medical institutions. These resources are
independent of each other and need to be allocated effectively
during the emergency response. The allocation of scarce med-
ical resources requires a trade-off between efficiency and
ethics. Hui Cao et al. [27] used a discrete event simulation to
evaluate four scarce resource-rationing principles, including
first come first served, random, most serious first and least
serious first. Although the least serious first principle exhibits
the highest efficiency, it is not ethically flawless. Considering
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the tradeoff between the lifesaving efficiency and ethical
issues, random selection is a relatively fair and efficient prin-
ciple for allocating scarce medical resources in a natural
disaster response. Current studies on resource allocation dur-
ing an emergency response focus on evaluating macro deci-
sion principles using simulation methods. As a result, there is
no evidence-based tool with the ability to adjust its resource
allocation configuration according to the emergency response
conditions.

Third, as information and communication technology
has developed, new approaches have been created to
address the emergency response to an MCI. The elec-
tronic triage tag was invented and is used as an infor-
mation carrier for casualties. With the help of radio
frequency identification (RFID) technology, the
casualty’s medical data, which is recorded on the elec-
tronic triage tag, can be accessed throughout the entire
emergency response process, improving the timeliness
and reliability of information transmission [28–33].
Using mobile health and sensor technology, some wear-
able equipment can automatically obtain patient vital
signs and transfer them to a networked mobile or com-
puter application [29, 34, 35]. There are also systems
that can link the MCI scene to medical institutions and
share casualty information with all emergency organiza-
tions, which improves the quantity of emergency medical
services [36–39]. Using computer modeling and simula-
tion technology, researchers can simulate emergency re-
sponse and evaluate special strategies for resource allo-
cation or casualty treatment [40–48]. The emergency
response to an MCI is a dynamic process during which
information is continually produced and constantly ag-
gregated. Collecting and analyzing the emergency infor-
mation produced by all stakeholders involved in an MCI
has high value. Taking advantage of emergency informa-
tion, an emergency response process can be developed
and implemented in an orderly manner, even in a chaotic
MCI environment, which can maximize treatment efficiency
and save more lives.

Considering the characteristics of the emergency re-
sponse to MCIs, we have designed a mobile-based sys-
tem that can support emergency providers in making
evacuation decisions. The emergency staff and incident
commander can interact with the system through a mo-
bile application. The casualty’s entire medical data ob-
tained during the emergency response can be integrated
through standard data exchange interface health level 7
(HL7). The decision-making model is based on the casualty’s
medical information and temporal data. Personalized evacua-
tion suggestions offered by the decision-making model can
maximize emergency resource utilization and minimize the
casualty mortality rate. We also designed an agent-based
simulation model to validate our system.

System architecture and methods

System architecture

By collecting and aggregating emergency information during
MCIs, our system extends the management of temporal casu-
alty data. The decision-making model in our system combines
emergency medical data and temporal data to offer personal-
ized evacuation suggestions that dynamically adjust evacua-
tion strategies based on the efficiency of emergency resources
utilization. Emergency providers and incident commanders
can interact with our system through a mobile application to
manage casualty information and gain decision support.

In our previous study, we examined the system components
of our mobile system, which includes “first-responder mobile
devices”, “triage and transportation supporting devices” and
“the emergency data transfer bus” [49]. With regard to this
issue and based on our previous study, we added two new
modules (a temporal data management module and an evac-
uation decision-making module) to improve the mobile sys-
tem’s performance in an emergency response to an MCI.
Using a mobile application, emergency providers have the
ability to record a casualty’s vital signs at the scene of the
incident, assess injury extent, evacuate the casualty to a med-
ical institution and manage the casualty’s temporal data during
the entire emergency response process. The casualty’s medical
information is transmitted to the emergency center server by
HL7 message. If the casualty has been evacuated to a medical
institution, the emergency staff of the medical institution can
access emergency information collected at the scene or on the
way to the hospital through the HL7 interface. Then, medical
and temporal data produced at the evacuation hospital will be
transmitted to the emergency center server. As shown in
Fig. 1, the emergency center server consists of four parts: the
HL7 adapter, the temporal data server, the emergency clinical
data server and the decision-making model. The HL7 adapter
can acquire and analyze HL7messages and store casualty data
in an emergency database according to data organization rules.
The temporal data server is used to store and manage the
casualty’s temporal data produced during the entire emergen-
cy response, and these temporal data can be used to monitor
the distribution of casualties and emergency medical re-
sources. The emergency clinical data server is used to store
and manage all the clinical information for the casualties; this
clinical information includes vital sign data, treatment data,
injury data, evacuation data and hospital admittance data.
Section “System database model” details the database models
of the clinical and temporal databases. The decision-
making model is the core module of our system. The
decision-making model combines casualty survival pre-
diction and emergency process analysis by extracting
data from both the emergency clinical and the temporal
databases. Section “Decision-making model” shows a
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novel data-driven casualty evacuation decision support
model that offers personalized evacuation suggestions based
on effective regional emergency resource utilization.

System database model

Our system not only has the ability to manage emergency
medical data gathered by emergency providers but can also
record the casualty’s temporal changes during the emergency
response to an MCI. The data management of our system
needs to meet the demands of a decision-making model that
queries and analyzes data efficiently and in real-time. To meet
the above requirements, we designed our system database
model as shown in Fig. 2. The database model is divided into
three parts using three distinguishing colors. Blue identifies
the data model used to store and manage a casualty’s temporal
information. The temporal data model tracks a casualty’s
position throughout the emergency response to an MCI. Yel-
low identifies emergency resources such as evacuation vehi-
cles, evacuation medical institutions and medical care sites.
The care sites are divided by type into incident sites, emer-
gency departments (EDs), intensive care units (ICUs) and
general wards (GWs); with the help of the data model named
environment, the system has the capacity to store information
regarding the environment of the incident site, which includes
environmental characteristics, such as open fire or nuclear
disclosure. The information regarding the environment will
help the emergency providers to perform the corresponding

disposal. The database records the emergency response capac-
ity of each care site. In this study, the emergency response
capacity of a care site is measured by the number of casualties
who can be taken to the care site. There are many factors that
affect the actual emergency response ability, including the
number of available medical staff, the amount of emergency
equipment, the number of available beds and the amounts of
pharmaceuticals and consumables. A shortage of any these
factors may have an effect on a casualty’s emergency treat-
ment. Hence, we determine the number of casualties who can
be taken to a care site as the capacity of that care site to directly
connect the emergency resource to the emergency treatment
outcome. For example, an ICU is an important site for the
continuous monitoring of critical patients. The core resource
in ICUs is the ICU beds that are required to continuously care
for the patients and provide life support. In the ICU ward, the
medical staff members are arranged according to beds. There-
fore, we take the available bed number in the ICU as the
measurement of its capacity. In the case of transportation,
there has recently been an increase in the types of vehicles
that can be used to evacuate casualties to medical institutions
from incident sites [38, 50, 51]. Our system includes an
interface to manage and coordinate various types of evacua-
tion vehicles. The interface makes our system more flexible
and allows it to adapt to the multi-level resource allocation
required in a metropolis. Green indicates the part of the data
model responsible for storing and managing casualty medical
information. This part focuses on recording the injury and

Fig. 1 System architecture
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vital signs of casualties at the scene of the incident. We
designed this vital sign data model based on the conception
of entity-attribute-value to allow the flexibility to expand vital
sign types. There is some medical information produced at
medical institutions that is temporarily not included in our data
model. These data belong to the inner business processes of
medical institutions and have a low effect on the emergency
response to an MCI. If needed, these data can be extracted
from the clinical data center using the HL7 interface. Our data

model is chiefly concerned with the final destination and
outcomes and is focused on providing accurate and reliable
data.

Decision-making model

To dynamically assign casualties to the appropriate medical
institutions, we propose a decision model based on survival
prediction and emergency process data. For every casualty,

Fig. 2 System database model
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this model can provide a special evacuation suggestion that
can be used by emergency providers. The proposed model
meets the emergency resource needs of the casualty and
balances the emergency response capacity among different
medical institutions, improving the overall survival probabil-
ity. At the scene of the incident, an incident commander
receives the suggestion provided by the decision-making
model using a mobile application. The process of the
decision-making model is shown in Fig. 3. The variables used
in decision-making model are as follows:

– i symbol: a casualty who is about to be evacuated to a
medical institution

– j symbol: a medical institution
– S(i,t) symbol: the survival prediction function for casualty

i. The variable t represents the time interval.
– ESP(i,j) symbol: expected survival probability for casu-

alty i if i has been evacuated to medical institution j.
– D(i) symbol: expected department to which casualty i

should be admitted.
– WT(i,j,D(i)) symbol: casualty i’s expected wait time for

D(i) of medical institution j.
– RESP(i,j) symbol: revised expected survival probability

for casualty i, including wait time.

When the incident commander considers where to
evacuate a casualty, the suggestion is given by following
the automatic operation steps provided by the decision-
making model. First, our system calculates the casualty’s
survival probability based on his/her injury information.
Our previous study has developed a method for
predicting survival probability over time based on initial
injury information. Second, our system calculates the

expected survival probability for casualty i if i has been
evacuated to medical institution j:

ESP i; jð Þ ¼ S i;T j

� �
;

where Tj represents the time needed to evacuate the casualty to
medical institution j.

Third, our system chooses one department D(i) from ED,
ICU or GW to which casualty i should be admitted based on
his/her ESP(i,j). Then, the expected wait time WT(i,j,D(i)) is
calculated using the following equation, where M represents
the number of casualties who have been treated in D(i) of
institution j:

WT i; j;D ið Þð Þ ¼ 1

M
�
X

k¼1

M

WT k; j;D ið Þð Þ

The decision-making model is an optimization problem
that is used to identify the maximum of the following
function:

RESP i; jð Þ ¼ S i; T j þWT i; j;D ið Þð Þ� �

D ið Þ ¼
ICU
GW
ED

8
<

:

0 < ESP i; jð Þ≤4
4 < ESP i; jð Þ≤8
8 < ESP i; jð Þ≤12

8
>><

>>:

The institution j, which makes the RESP(i,j) obtain the
maximum, is the chosen medical institution and will be the
evacuation target of casualty i.

Fig. 3 Process of the decision-
making model
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System validation

In order to valid our system, especially the decision making
model, we design an agent-based simulation model to simu-
late the emergency response to an MCI. There have been
many approaches used to simulate emergency responses to
MCIs, including analytical models and simulation models.
The analytical models rely on a mathematical model to deter-
mine the optimal solution for the emergency response to an
MCI, including the minimum response time and maximum
coverage. In contrast to the analytical model, a simulation
model is used to model each entity in an MCI to describe
the entity’s properties and expected behavior during events.
Simulation models can provide an entity’s final outcome by
analyzing a special behavior pattern based on its relationship
with other entities and between the entity and relevant circum-
stances. There are two approaches adopted in simulation
research: one is discrete event simulation, and the other is
agent-based simulation. The agent-based simulation model
(ABM) contains a collection of autonomous agents that can
perceive the environment, exchange information, make oper-
ational decisions and act based on these decisions [52]. For
our system to be validated, the casualty’s flow through emer-
gency response must be simulated, and the systemmust adjust
the process based on the determinations of our decision-
making model. The simulation model can aggregate and an-
alyze interactions among different entities and interactions
between the entity and its circumstances. Based on the re-
quirements discussed above, we chose an agent-based simu-
lation model to validate our system.

Agents in the simulation model represent actual entities
involved in emergency response to a MCI. The casualty
agents are pseudo-agents that cannot move by themselves.
They can be loaded and moved by ambulance or by medical
staff in medical institutions. The first responder agents repre-
sent and behave as the emergency medical staff at the scene of
an incident. Once the first responders arrive at the scene of an
incident, they immediately begin to triage casualties and label
those casualties with a colored tag. The incident commander
agent has the ability to obtain information from other agents,
such as the ambulance agent, casualty agent and hospital
agent. The incident commander assigns casualties to medical
institutions. The ambulance agents represent evacuation vehi-
cles. They can load, transport and unload casualty agents and
can evacuate casualties from the incident site to medical
institutions. The target of the ambulance agent corresponds
to the orders of the incident commander agent. The hospital
agents represent medical institutions and include EDs, ICUs
and GWs.

We adopted a casualty’s respiratory rate, pulse rate
and best motor response (RPM) as representative of a
casualty’s injury severity [53]. A RPM score is an inte-
ger value between 0 and 12, with smaller values

corresponding to a more severe injury and lower survival
probability. Each casualty was randomly assigned a RPM
score at the beginning of the simulation. When the ca-
sualty is triaged by the first responder, he or she is then
triaged into one of four categories based on the initial
RPM score. The casualties with RPM scores of 1–4 are
triaged as “Red”, RPM scores of 5–8 are triaged as
“Yellow”, RPM scores of 9–12 are triaged as “Green”
and RPM scores of 0 are triaged as “Black”. After the
ambulance agents arrive at the scene of the incident, they
begin to load casualties based on the setting rules and
the incident commander’s orders. The ambulance agents
act according to the following rules: only load casualties
who have been triaged, use the worst-first pick up strat-
egy, the number of passengers is limited by the capacity
of the ambulance, one red casualty can be carried per
vehicle and no waiting at the incident. When a casualty
is evacuated to a medial institution, the first information
that must be determined is whether the casualty can be
treated at the hospital. If there aren’t enough medical
resources to support a critical casualty’s medical treat-
ment, there will be an ambulance diversion, and the
ambulance will take the casualty to another hospital.
Once casualties have arrived at a medical institution,
they are admitted first to the ED, where the emergency
staff assigns casualties to the appropriate medical treat-
ment department (ICU, GW or ED). Casualties with
RPM scores of 1–4 are sent to the ICU, those with
RPM scores of 5–9 are sent to the GW, and those with
RPM scores of 10–12 remain in the ED. All changes to a
casualty’s injury during the emergency response are rep-
resented in the casualty’s RPM score. The casualty’s
RPM score will decrease in the manner of Sacco’s Del-
phi estimates of casualty deterioration during the period
before the casualty receives treatment [18]. The deterio-
ration of RPM reflects the fact that without timely care
or treatment, the health condition of a casualty could
deteriorate continuously. In our simulation, the deteriora-
tion stops when the casualty enters a special department
and receives medical treatment.

As shown in Fig. 4, one casualty is first triaged by the first
responder agent and is given a triage tag that indicates the
extent of his/her injury. Then, the incident commander agent
gives an order to the ambulance agent to load the casualty and
deliver him/her to a particular medical institution. When the
casualty arrives at the hospital, he/she will first enter the ED
room. After a second injury assessment, the casualty enters the
ICU, GW or remains in the ED based on his/her assessment.
Then, the medical staff in each department treats the casualty
until he/she is ready for discharge. In this situation, there are
three waiting queues that the causality must go through in
order to receive treatment, which is due to the limited
capacities of the different departments.
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Results

The Recursive Porous Agent Simulation Toolkit (Repast) was
used as our simulation platform [54]. Repast has an abstract
feature set and three concrete implementations. There are six
models in the Repast feature set. These modules are the
Engine, the Logging Module, the Interactive Run Module,
the Batch Run Module, the Adaptive Behavior Module and
the Domains Module. Repast has good platform compatibility
and is easy to scale. Additionally, the simulation model can be
combined with real geographic data using Repast.

The performance of our system is measured by mortality
related to the emergency response to an MCI. We not only
measure the overall mortality during the emergency response
but also analyze the distribution of the locations of death, such
as death on the way to a medical institution, death in the
hospital and death at the scene of the incident. These measures
are used to show the differences among different evacuation
decision patterns. These decision patterns are shown in
Table 1. There are two groups of patterns classified based on
how casualties are selected when more than one casualty is
present in a triage category. Pattern_1 to Pattern_4 are group
one and rely on the random selection of a casualty when there
is more than one casualty in each triage category; Pattern_5 to
Pattern_8 comprise group two and consider the survival pre-
diction provided using our decision model when each triage
category has more than one casualty.

We assume that an MCI has occurred in an urban area. The
number of casualties suffered in this MCI is 150. There are
three medical institutions that can be used as evacuation
targets. The initial emergency response capacity of the ED,
ICU and GW in each hospital is 5. The simulation model runs
100 replications for each pattern.

We ran the simulation model through 100 replications of
each evacuation decision pattern. The average mortality rate
of these 100 replications was considered the pattern’s mortal-
ity rate. This approach avoids the randomness of a single
experiment and reflects the impact of different patterns on
the overall outcome of an emergency response to an MCI.

Figure 5 shows the morality rates associated with the
evacuation decision patterns. This figure shows the following
phenomena.

First, in each pattern group, the pattern that randomly chose
hospitals had a relatively low overall mortality rate, which is
an interesting phenomenon, suggesting that randomly choos-
ing evacuation targets may evenly balance the load among the
hospitals, which avoids long waiting times and situations in
which there are no beds for patients who have been
transported to the hospital. This randomization achieves a
fairly good result. Second, in each pattern group, the pattern
that considered the emergency capacity of medical institutions
when choosing an evacuation target had the highest mortality
rate. This outcome occurs because emergency capacity con-
sidered by the incident commander when he/she makes the

Fig. 4 The process flow of casualty agents in the agent-based simulation model
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evacuation decision is an instantaneous result that is different
when the evacuated casualty has actually arrived at the hos-
pital. In these decision-making patterns, the incident com-
mander assigns many casualties to hospitals with the highest
emergency capacity, but the emergency resources may have
become overwhelmed by the time these casualties have

arrived. As a result, the casualties were bound to either wait
at the hospital for emergency treatment or be diverted to
another facility, which results in a higher mortality rate. Third,
in each pattern group, the pattern using the evacuation sug-
gestion provided by our system’s decision model achieved the
lowest mortality rate. This phenomenon shows the benefit of
our decision-making model. Our system provides personal-
ized evacuation suggestions to each casualty, which fulfills the
specific requirements needed in that situation. The decision
model also balances casualty admission pressure at each hos-
pital in a manner similar to the random pattern. As a result, our
model achieves the lowest simulated mortality rate. Fourth,
when comparing groups, the group 2 patterns resulted in lower
mortality rates than that in group 1 because group 2 consid-
ered the differences among casualty injuries in each triage
category. This differentiation allows the incident commander
to make an easy decision about how to preferentially evacuate
casualties and contributes to a lower overall mortality.

We analyzed the distribution of the location of death in
detail. The location of death includes death on the way to
medical institutions, death in hospitals and death at the scene
of the incident. We compared a new performance measure
named “the emergency effect rate” among different patterns.
The emergency effect rate is the proportion of fatalities of
treated casualties in terms of overall fatalities. The effects of
different evacuation decision patterns on the MCI emergency
response are clear. A lower emergency effect rate suggests
more effective casualty assignment during the emergency
response to an MCI. Figure 6 shows the emergency rate of
the different patterns and reveals the following phenomena.
First, the emergency effect rates of pattern_2 and pattern_6
were the worst. We presume that an inappropriate evacuation
decision pattern not only failed to improve the emergency
response outcome but also reduced the efficiency compared
with a random pattern. Second, pattern_3 and pattern_7 per-
formed better than pattern_2 and pattern_6, which indicates
that considering emergency treatment waiting time at medical
institutions, is more useful than considering the emergency
capacity of those medical institutions when choosing an

Fig. 5 Mortality rate of the evacuation decision patterns

Table 1 Evacuation decision patterns

Pattern Pattern description

Pattern_1 Randomly choose a casualty when there is more than one
casualty in each triage category; randomly choose a
medical institution as an evacuation target

Pattern_2 Randomly choose a casualty when there is more than one
casualty in each triage category; consider the emergency
capacity of medical institutions when choosing an
evacuation target

Pattern_3 Randomly choose a casualty when there is more than one
casualty in each triage category; consider waiting time for
emergency treatment inmedical institutions when choosing
an evacuation target

Pattern_4 Randomly choose a casualty when there is more than one
casualty in each triage category; use the evacuation
suggestion provided by our system’s decision model when
choosing an evacuation target

Pattern_5 Consider the casualties’ survival predictions given by our
decision model when there is more than one casualty in
each triage category; randomly choose a medical institution
as an evacuation target

Pattern_6 Consider the casualties’ survival predictions given by our
decision model when there is more than one casualty in
each triage category; consider the emergency capacity of
themedical institutions when choosing an evacuation target

Pattern_7 Consider the casualties’ survival predictions given by our
decision model when there is more than one casualty in
each triage category; consider the waiting time for
emergency treatment in the medical institutions when
choosing an evacuation target

Pattern_8 Consider the casualties’ survival predictions given by our
decision model when there is more than one casualty in
each triage category; use the evacuation suggestion
provided by our system’s decisionmodel when choosing an
evacuation target

Fig. 6 Emergency effect rate of different patterns

J Med Syst (2014) 38:149 Page 9 of 13, 149



evacuation target. Third, pattern_8 shows the best perfor-
mance with respect to the emergency effect rate. Most deaths
occurred at the scene of incident as a result of a lack of
emergency medical service. Minimal fatalities occurred dur-
ing the casualty treatment process as patients were triaged by
the first responders and either died or were discharged from
the hospitals. Pattern_8 uses a different method for identifying
the casualty’s injury, classifying casualties into four categories
and distinguishing them with colored tags. Using our system,
pattern_8 provides survival prediction to the incident com-
mander based on injury information. This approach also re-
duces the difficulty and mental pressure placed on the incident
commander by avoiding a comparison of casualties in same
triage category. Pattern_8 utilizes the evacuation suggestion
provided by our decision-making model, which uses a
casualty’s expected survival probability as the evacuation
target indicator. This approach mixes the casualty’s personal
emergency requirements with the overall emergency re-
sources available during an MCI emergency response. For
example, when the emergency resources of hospital A are
constrained, the waiting time for treatment in hospital A is
prolonged and a casualty’s expected survival probability de-
creases. Once a casualty’s expected survival probability at
hospital B is higher than at hospital A, the decision-making
model will suggest that the incident commander evacuate the
casualty to hospital B. Using this dynamic, real-time, personal
decision-making model, pattern_8 achieves the best perfor-
mance in the emergency effect rate.

Discussion

Making appropriate casualty evacuation decisions are of fun-
damental importance during the emergency response to a
MCI. The evacuation decision refers to the strategy followed
to transfer casualties to hospitals from the incident site. The
casualty’s priority, the evacuation vehicle and the hospital’s
emergency capacity are involved in making evacuation deci-
sions. First, with respect to the casualty’s priority in the
evacuation queue, assessing the casualty’s injury and provid-
ing an appropriate triage label are important. Once the casu-
alty has been triaged, the emergency participants can treat the
casualty according to his/her triage label, which also distin-
guishes the required level of emergency treatment. Casualties
with the same triage tag will receive the same level of medical
treatment. This approach provides high maneuverability and
can simplify emergency operations at the scene of incidents,
reducing the decision-making burden placed on emergency
providers. Currently, most triage schemas used after MCIs
follow the above principle. Triage schemas including STAR
T, STM, SALT and jumpSTART give evacuation priority to
casualties based on triage decisions. However, when one
triage category has many casualties, the incident commander

must make a difficult decision about which casualties should
be evacuated first. Hui Cao et al. [27] found that evacuating
the least serious casualty first contributed to better overall
emergency response outcomes, which is against the traditional
triage principle of evacuating the worst casualty first. Second,
the evacuation decision is associated with the emergency
resource configuration in a MCI. There is some research using
mathematical models to improve emergency resource config-
urations [26, 55, 56]. This research seems to have overlooked
one important fact—that optimal emergency resource config-
uration is not the target. If the emergency resource does not
provide the emergency treatment needed by casualties, an
optimal configuration is useless. Because knowing the time,
site and scale of an MCI in advance is difficult, the above
research lacks actual operational and practical experience.
Another idea to address emergency resource configuration
utilizes evacuation decisions to assign casualties to different
hospitals. An excellent evacuation decision can maximize the
use of the emergency medical resources of each hospital in a
region. There are many factors that must be considered, in-
cluding the distance between the incident and the target hos-
pital, the emergency capacity of the target hospital and the
target hospital’s ability to address specific casualties. A study
by Sharon Einav et al. [57] indicated that the nearest hospital
plays an important role inMCIs, but a study by YuWang et al.
[46] disputed those results. The simulation result of Yu Wang
et al. [46] suggests that evacuating casualties to the nearest
hospital may not be good for survival and instead increases
overall mortality. Last but not least, as previously mentioned,
the evacuation decision involves multi-dimensional, multi-
domain and multi-participant coordination. We need not only
a macro principle to fulfill the emergency response goal after a
MCI but also operational approaches to implement this macro
principle. We were unable to identify a similar method
employed in the research area of the medical system, but some
issues in the research area of operations research demonstrate
various macro-principles in the emergency response to a MCI
using a simulation method [44, 46, 47, 58]. Compared with
the above study, our mobile system and evacuation decision
model provide a more practical and individualized approach
to the emergency response to a MCI. From the perspective of
overall mortality, our mobile system is as good as the best
result achieved in the above operation research.

In this study, we have designed a mobile-based system to
collect medical and temporal data produced during an emer-
gency response to an MCI. Using this information, our sys-
tem’s decision-making model can provide personal evacua-
tion suggestions that improve the overall outcomes of an
emergency response. The effectiveness of our system in re-
ducing overall mortality has been validated by an agent-based
simulation model simulating an emergency response to an
MCI. The aim of our system is to provide a solution to the
problems associated with the rapid assessment of injuries at
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the scene of the incident by choosing evacuation targets based
on individual injuries and dynamically allocating emergency
resources within the region. The approach used to assess the
casualty injuries at the scene of incidents has changed. Previ-
ously, emergency providers at the incident scene needed a
variety of medical equipment devices to obtain vital signs
and assess the casualty’s injury. With the development of
sensor technology, there are now many wearable devices that
integrate various vital sign acquisition sensors. These wear-
able devices facilitate more rapid vital sign collection and
increase the efficiency of casualty injury assessment. These
wearable devices produce a large amount of data that needs to
be leveraged. In our previous study, we proposed a survival
prediction model based on casualty injury data that include
vital signs obtained by wearable devices. Survival prediction
provides emergency providers with more detail about the
deterioration of a casualty’s injury. In this study, the evacua-
tion decision-making model is based on a combination of a
casualty survival prediction model and available temporal
data. Our system mainly fulfills the emergency treatment
requirements for each casualty. Additionally, our system con-
siders the emergency response capacity of different hospitals
when providing an evacuation suggestion for each casualty.
Our system controls the number of casualties assigned to each
hospital from the incident source. By integrating the above
decision-making approaches, the performance of our system
in the simulation was the best. The overall mortality and
emergency effect rates using our system were lower than the
other simulated approaches.

We take advantage of the benefits of a mobile system to
support evacuation decision making. By providing a personal
evacuation suggestion for each casualty using a mobile termi-
nator, our system greatly reduces the work load and psycho-
logical pressure faced by emergency providers at the incident
scene. Our system interacts with all emergency response
participants using a mobile application. Using our system,
emergency response participants with different emergency
training levels follow consistent evacuation principles when
making evacuation decisions, which ensure that each casualty
has the same opportunity to receive emergency treatment
regardless of who is making the evacuation decision. With
the help of wearable sensors, our mobile system has the
capacity to monitor the casualty’s vital signs in real-time and
provide a solid basis for decision making.

However, some challenges and limitations in the imple-
mentation of our mobile system were encountered. First, the
predefined emergency response protocol (PERP) is an impor-
tant prerequisite for the implementation of our system. The
PERP will establish criteria for all of the emergency medical
institutions within the area. The key to the PERP is to nor-
malize the transmission of emergency information that is
related to the information level and the information publicity
of medical institutions. If a medical institution does not meet

the criteria, the institution might not be included in the PERP
until the level of its medical information improves. Second, in
our mobile system, part of the patient’s medical record is
required to train survival prediction models, and this require-
ment involves issues regarding patient privacy and data secu-
rity. To protect a patient’s privacy, we must seek the patient’s
informed consent or use an anonymizing method to mask
personal data. Third, the implementation of our mobile system
also involves medical staff training and exercising. In the
traditional emergency response process, emergency providers
do not need to operate the mobile application. Therefore, these
providers might feel uncomfortable when they first receive/
send emergency information through our mobile system. Var-
ious studies indicate that the system may not perform well if
the users are unfamiliar with the system. Therefore, as the
emergency provider becomes more and more familiar with
our mobile system, our system will become more suitable for
an emergency response to a MCI. Our system can be a
practical and flexible method for determining the emergency
response to an MCI.

Conclusions

In this study, we have designed a mobile-based system to
collect medical and temporal casualty data produced during
an emergency response to anMCI. Using this information, our
system’s decision-making model can provide personal evacu-
ation suggestions that improve the overall outcome of an
emergency response. The effectiveness of our system in re-
ducing overall mortality has been validated by an agent-based
simulation model of the emergency response to an MCI.
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