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Abstract The main purpose of this paper is to develop a fast fully discrete Fourier—
Galerkin method for solving the boundary integral equations reformulated from the modified
Helmbholtz equation with boundary conditions. We consider both the nonlinear and the Robin
boundary conditions. To tackle the difficulties caused by the two types of boundary condi-
tions, we provide an improved version of the Galerkin method based on the Fourier basis.
By employing a matrix compression strategy and efficient numerical quadrature schemes
for oscillatory integrals, we obtain fully discrete nonlinear or linear system. Finally, we use
the multilevel augmentation method to solve the resulting systems. We point out that the
proposed method enjoys an optimal convergence order and a nearly linear computational
complexity. The theoretical estimates are confirmed by the performance of this method on
several numerical examples.
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1 Introduction

In this paper, we are concerned with the modified Helmholtz equation (or the linearized
Poisson—-Boltzmann equation) with associated boundary conditions, which arises in many
areas of science and engineering [4,26,27,30,40]. The heat equation is of fundamental impor-
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tance in fluid dynamics, pattern formation, and variational problems. Discretizing the time

derivative of the heat equation, which is known as the Rothe’s method, gives rise to the modi-

fied Helmholtz equation. The Poisson—Boltzmann theory aims at describing the electrostatic

interaction of biological systems as long as the electrostatic coupling strength is weak. The

linearized Poisson Boltzmann equation has often been used to approximate ionic solutions.
Specifically, we consider the following boundary value problem:

Au(x) — cu(x) =0, x €D,

aglix) =—gx,u(x)) + f(x), x €T, (1.1)

where « is a positive constantand g, f are both given functions. Here, we make the assumption
that D is a simply connected bounded domain in R? and has a C? boundary I" with a
parametrization

x() = (x1(t), x2(¢)), tel:=][0,2n].

Let n, denote the exterior unit normal to I" at x. In this paper, we focus on two types of
boundary conditions: the nonlinear boundary condition with g being nonlinear with respect
to u and the linear boundary condition with g(-, u) = u, which is called the Robin boundary
condition. In any case, we always assume that the boundary value problem (1.1) is uniquely
solvable. In fact, the unique solvability can be obtained by imposing suitable assumptions on
the functions g, f and the boundary I' [3,34,41].

Before solving the above boundary value problem, we make a few remarks about our
assumptions on the boundary. Although most boundaries of interest in some branches of
science are not smooth, there are many applications of smooth boundaries in the fields of
biology and medicine and so on. Moreover, the boundaries in practical applications are usually
so complex that one can not find a suitable parametrization. For this case, we should consider
interpolating the complex boundary by a parametric curve by making use of a sequence of
data, which are sampled from the original curve. Then by replacing the original boundary
by the interpolating parametric curve, we solve the resulting boundary value problem by
the fast algorithm proposed in this paper. Specifically, we suppose that the original curve
passes through a sequence of points. We first choose parameter values corresponding to the
interpolation points and then find a parametric curve such as polynomial or spline curve,
matching position and/or derivatives at the same parameter values.

We note that efforts to address the above issue have been made by number of researchers in
the field of computer aided geometric designed. It has been shown that the choice of parame-
trization has a significant effect on the approximation performance of the resulting interpolat-
ing curve. The common choices of parameter include uniform, chordal [1], centripetal [28],
Foley—Nielson [19] parametrizations and parametrizations based on optimization. In [17,18],
the authors study the effect of parametrization on the rate of convergence of parametric curve
interpolation. The traditional approach to approximation of parametric curves is to consider
the curve as a vector-valued function and then apply a suitable scheme for approximation of
functions to each component [16]. To improve on the classical schemes, parametric approx-
imation schemes have been developed, which in the approximation of one component uses
information about the other components and so give better accuracy, [13-15,22,32,33,35].

Among all methods for numerically solving the boundary value problem (1.1), the bound-
ary integral equation approach is one of the most fundamental treatments [31]. It transforms
the boundary problem into an integral equation defined on the boundary. To review the bound-
ary integral equation reformulation, we introduce the modified Bessel function of order n
as
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where y is the Euler’s constant and for/ € N

1 1 1
vir=—3 =3 (5 )

neN

Here, we let N denote the set of all positive integers and set Ng := NU{0}. Foreachn € N, we
alsosetZ, := {0, 1,...,n— 1} and Zy = @. Then the fundamental solution of the modified
Helmholtz equation is given by

1
@@J0=§;%WH—nyJ€R?

By the potential theory, the solution of the boundary value problem (1.1) can be expressed
as

d a
u = [ S ow s, - [umowyds. xep. a3
r 811y : r Bny :

Letting x tend to a point on the boundary I' and using the boundary condition, we obtain the

boundary integral equation

0
u(x) +2/ u(y)af@(x,y)ds_v +2/ gy, u(y)@(x, y)dsy =2/ fOP(x, y)dsy, x €T.
Jr ny r r
(1.4)

Once the solution of the boundary integral equation is achieved, one can get the normal
derivative on the boundary and then obtain the solution of (1.1) by calculating the expression
(1.3). This motivates one to solve the boundary integral equation (1.4) numerically. We note
that Eq. (1.4) is a linear boundary integral equation for the Robin boundary condition and a
nonlinear one for the nonlinear boundary condition.

In the literature, there have been various numerical methods developed for solving the
boundary integral equations reformulated from the modified Helmholtz equation with linear
or nonlinear boundary conditions. A Galerkin method with one-periodic B-splines as basis
functions [36] and a spectral collocation method [37] were proposed for the mixed boundary
value problem. Fast multipole-accelerated integral equation methods were discussed in [7,
26,27] for solving the modified Helmholtz equation with different kinds of linear boundary
conditions. For the nonlinear boundary value problem, the mechanical quadrature methods
and extrapolation were developed in [8]. In this paper, we shall consider the Galerkin method
using the Fourier basis for solving the boundary integral equation (1.4). Our interest in the
Fourier—Galerkin method is motivated by the decomposition of the weakly singular integral
operator arising in the integral equation (1.4). To be more specific, we split the operator into
the form <7 4+ %, where the operator ./ carries the main singularity characteristic of the
original operator and the operator %4, however, is a compact operator with a smooth kernel. It
is worth to point out that the operator <7 has the Fourier basis functions as its eigenfunctions.
Taking this advantage, we get the matrix representation of .7 under the Fourier basis as a
diagonal matrix with the entries being obtained directly.
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In fact, solving the discrete system resulting from the Fourier—Galerkin method requires
large computational costs, which are caused for two reasons. One reason is that we have
to face computing double singular integrals resulting from the boundary condition. In the
case of nonlinear boundary condition, these integrals arise from evaluating and updating
the Jacobian matrix in each iteration step of Newton’s method for solving the nonlinear
system. And in the case of the Robin boundary condition, setting up the coefficient matrix
in the resulting linear system also leads to these integrals. To overcome this difficulty, we
first adopt a technique, which was used in [9,10] for solving the Laplace’s equation with
nonlinear boundary condition. Specifically, we project the term, involving the boundary
function g, onto the approximate subspace. By doing so, we transform the evaluation of double
singular integrals into establishing the matrix representations of operators and multiplying
these matrices by vectors. The matrix representation of the operator .7 has a simple structure
and needs no computational efforts to set up. However, the matrix representation of other
operators are usually dense and so we shall apply appropriate matrix truncation strategy.
The truncation strategy allows us not only to compress the dense matrices to sparse ones
but also to retain enough entries to represent critical information encoded in the original
matrices. Because of the smoothness of the kernel functions, we shall take the hyperbolic
cross compression proposed in [6] and employ the numerical quadrature formula developed
in [24] to compute the nonzero entries in resulting sparse matrices. Moreover, the Robin
boundary condition also need us to set up another dense matrix with the entries involving
single oscillation integrations. We shall adopt the trapezoid quadrature rule and the fast
Fourier transform to build this matrix. The other reason for the large computational costs is
to invert the linear or nonlinear operator in the entire approximate subspace, which usually
has a large dimension so that one can get good approximation accuracy. The multilevel
augmentation method developed in [9,11,12] can help us to deal with this issue efficiently.
It is worth to point out that the fast algorithm based upon the above techniques preserves
the optimal convergence order and at the same time enjoys a nearly linear computational
complexity.

This paper is organized as follows. We describe the Fourier—Galerkin method for solving
the resulting boundary integral equation in the next section. Through introducing an additional
projection operator, we present an improved version of the Fourier—Galerkin method. In
Sect. 3, we establish the fast solvers for the linear and nonlinear system resulting from the
improved Fourier—Galerkin method, respectively. We also give the convergence analysis as
well as the computational complexity estimate of the proposed algorithm for the linear system.
The analysis of the algorithm for the nonlinear system can be obtained by arguments similar
to those in [10]. In Sect. 4, to demonstrate the computational efficiency and the approximate
accuracy of the proposed algorithms, we present numerical examples for both the nonlinear
boundary condition and the Robin boundary condition.

2 The Fourier-Galerkin Method for Boundary Integral Equations

In this section, we describe the Fourier—Galerkin method for solving the boundary integral

equation (1.4). We also provide an improved version of this method, which is more suitable for

solving the nonlinear boundary value problem as well as the Robin boundary value problem.
To this end, we begin with presenting Eq. (1.4) in an operator form. With respect to the

parametrization of the boundary I':

x(t) = (x1(1), x2(1)), tel=][0,2r],
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we set r(s, 1) ;= |x(s) — x(t)|, for any s, ¢t € I. Let Z be the set of all integers. By using the
modified Bessel functions defined as in (1.2), we define two kernels at s, t € I by

L(s, 1) = %Ko(w’(& 1))

and
Ole(Oénr(S, 1)) x5 (1) (x1 (1) —xl(S)r)(s—[x)i(l)(xz(t) —xz(s))’ St 4 2%n ke,
’C(S, t) = 1 xi(t)xé/(t) —Xé(l’)xi’(l) ’

otherwise.

T 20x( ()% + x5(1)?)
Then by introducing three functions on / as
u(®) = u(x(), gt,u()) =g @), ux®)), f@):=fx@), el

we can now rewrite Eq. (1.4) as

u(s) —/K(s,t)u(t)dt—l—/ﬁ(s, t)g(t,u(t))lx/(t)ldt :/L(s,t)f(t)lx/(t)ldt, sel.
1 1 1
(2.1)

Associated with the kernels K and £, we define two linear integral operators respectively,
by

(K u)(s) = /IC(S, Hu(t)dt, sel,
I
and
(ZLu)(s) := /,C(s, Hu(t)dt, sel.
I

Properties of the operators o#" and .Z are inherited from those of the kernels K and L,
respectively. Specifically, observing from the definition, we have that the kernel K is of
C*~2 when the boundary I is of C*, 1z > 2. The smoothness of the kernel K leads directly
to the compactness of the operator .#". By Eq. (1.2) for n = 0, we get

z
Ko(Z)=—log§—y, 7 — 0,

which shows that Ko has a logarithmic singularity at z = 0, so is the kernel £. Thus, the
operator .Z is a weakly singular integral operator. We next decompose the integral operator
Z into the sum of two integral operators, where one carries the main singularity characteristic
of .Z and the other is a compact operator with a smooth kernel. This can be done by splitting
the kernel £ into the form

L(s,t) = A(s, 1)+ B(s, 1), s,t el, (2.2)

where for any 5,7 € [
s —1

1
A(s, 1) = - log |2¢~1/% sin 5

’

and
L(s,t) — A(s, 1), t—s #2km, k € Z,
B(s, 1) = 1 ae'Zix'()] ¥ .
——log ——— — —, otherwise,
T 2 T
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and defining two operators by

(Au)(s) = /A(s,t)u(t)dt, (Bu)(s) = /B(s,t)u(t)dt, sel.
1 1

Among all the decompositions of the operator .Z, Eq. (2.2) has two advantages. Firstly,
the singular operator </ has the Fourier basis functions as its eigenfunctions. Specifically,
for any k € Z there holds <7 (¢*")) = Axe*®) with Ay = 1/max{l, |k|}. Then its matrix
representation under the Fourier basis is diagonal and the entries on the diagonal can also be
obtained exactly. Secondly, although the matrix representation of the compact operator %
under the Fourier basis is usually dense, it can be compressed to a sparse matrix without loss
of critical information encoded in the matrix. We note that the compression strategy can also
be used to deal with the matrix representation of the compact operator .#” under the same
basis.
We also define an operator by

(Wu)(t) == g(t, u(t))lx/(t)l, tel, (2.3)

which is nonlinear for the case that g(x, «) is nonlinear with respect to u and is linear for
the case that g(x, u) = u. With the operators defined above, Eq. (2.1) is represented in an
operator form:

u—xu+ (o + B)Wu =h, 2.4

where h := (& + B)(f|x']).

The features of the kernels motivate us to use the Galerkin method based on the Fourier
basis for solving the operator equation (2.4). We now turn to describing this method. For
each n € N, we introduce a finite dimensional subspace of L?(1), spanned by the Fourier
basis ex (1) 1= ek /27,1 € I,k € Z, as

Xy 1= span{ey : |k| € Z,}.

Let 2, be the orthogonal projection from L2(7) onto X,,. The Fourier—Galerkin method for
solving Eq. (2.4) is described as finding u, in X, such that

Up — PpHupn + Pp(A + B)Wu, = Zyh. (2.5)

To describe the unique solvability and the error analysis of Eq. (2.5), we introduce the
Frechet derivative of the operator £V at u as an integral operator defined by

(LYY (w)h)(s) ::/ll(s, DV (w)h(t)dt.
I

Under certain hypotheses imposed on the linear operator . %" — (& \IJ)/ (1), we obtain in the
following theorem the existence of the solution of Eq. (2.5) and its convergence property.
We note that the theorem can be proved by making use of Theorem 3.3.2 in [11] for the
case of the Robin boundary condition and Theorem 2 in [38,39] for the case of the nonlinear
boundary condition.

Theorem 2.1 Suppose that u € L*(I) is an isolated solution of (2.4) and 1 is not an eigen-
value of the linear operator & — (.Z\IJ)/(M). Then for sufficiently large n, Eq. (2.5) has a
unique solution u, € B(u, §) for some § > 0 and there exist positive constants c1 and c»
such that

cillu = Zpull < llu —un| < c2llu = Puul.
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We next consider the convergence order of the solution of Eq. (2.5). For this purpose, we
introduce the Sobolev spaces of 277-periodic functions, which are subspaces of L (1) and are
required for their elements a certain decay of their Fourier coefficients. To be more specific,
for each u > 0,

HM(I) = [¢ e L*(): D (1 + k)" |del* < oo} ,
keZ

where ¢y is the k-th Fourier coefficient of ¢ defined by ¢y := f ; ®(x)er(x)dx. The space
H"(I) is a Hilbert space with the inner product defined for ¢, v € H*(I) by

(6. ), = D (1 + ) e,

keZ

1
and its norm is given by |||, := (¢, ¢);. We note that the space HO(I) coincides with
LZ(I). It is well-known [2,25] that for any ¢ € H* (), there holds

¢ — Zngll < n™Hld]l - (2.6)

With the help of estimate (2.6), Theorem 2.1 shows that the Fourier—Galerkin method has
convergence of the optimal order.

Corollary 2.2 If the solutionu € H*(I), ;t > 0, there exists a constant ¢ > 0 such that
lu —uull < en™lull,,.

In terms of the Fourier basis, the Fourier Galerkin method (2.5) is equivalent to a system
of equations. Specifically, it suffices to seek a function u,, € X, with the form

()= ae(t), tel,

|1|€Zn
satisfying the system
(up — Hup + (& + B)Vuy, ex) = (h, ex), |k| € Zn. 27

We note that if the operator W defined in (2.3) is linear, so is the system (2.7). Otherwise, the
system is nonlinear, which is usually solved by Newton’s method. However, for solving any
kind of systems, we have to face computing the quantities

(e1, ex) — (Her, ex) + (A + BV (up)er, ex), |kl |I] € Zn, 2.8)

where ) denotes u,, or uflm) according to the type of the operator W. To be more specific, if

the operator W is linear, then we choose 1 = u,, and the items in (2.8) arise from establishing
the Galerkin matrix. If the operator W is nonlinear and uflm) denotes the solution at the mth
iteration of Newton’s method, then we choose u) = uﬁ,m) and the items in (2.8) coincide
with the entries of the Jacobian matrix at the mth iteration. Since the items involve double
integrals, solving (2.7) demands a large amount of computational efforts.

We observe from (2.8) that the first item need not be evaluated because of the orthogonality
of ex’s. The discussion of the evaluation of the second item will be postponed until the next
section, where the quantities (% ¢e;, ex), |k|, |l| € Z,, can be evaluated efficiently by com-
pressing the matrix representation of the operator .#". In this section, we are only interested
in the third item which carries the main computational difficulties. Motivated by the fact that
the Fourier basis functions are the eigenfunctions of the operator <7, we consider projecting
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the item W' (u) onto the subspace X,. By doing so, we will transform the computation of
double singular integrals into the establishment of the matrix representations of </ and %
and the multiplication of matrices and vectors.

To implement the above idea, we introduce the improved Fourier—Galerkin method for
solving (2.4), which finds i, € X,, such that

Uy — Py Ky + Pu(A + B) Py Vi, = Pph. (2.9)

The following theorem is concerned with the unique solvability and the convergence order
of the improved Fourier—Galerkin method. This result can be proved by arguments similar
to those for Theorem 2.1 and Corollary 2.2.

Theorem 2.3 Suppose that u € L>(I) is an isolated solution of (2.4) and 1 is not an eigen-
value of the linear operator & — (LV) (u). Then for sufficiently large n, Eq. (2.9) has a
unique solution i, € B(u, §) for some § > 0 and there exists a constant ¢ > 0 such that

lu —dnl < cllu — Pyull.
Furthermore, if the solutionu € H*(I), ;v > 0, then there holds

lu —dnll < en™"lull,..

3 A Fast Solver for the Improved Fourier—Galerkin Method

The main purpose of this section is to develop a fast fully discrete algorithm for solving
Eq. (2.9). This will be done by employing a matrix truncation strategy, quadrature formulas
for single and double oscillatory integrals and the multilevel augmentation method.

3.1 Fast Algorithm for Solving the Nonlinear System

When we consider the boundary value problem (1.1) with the nonlinear boundary condition,
Eq. (2.9) is equivalent to the following nonlinear system:

(itn — Hitn + (A + B) PpVily, ex) = (h, ex), |k| € Zy, (3.1

with , = z‘” ” aje;. To rewrite (3.1) in a matrix form, we now present the matrix
ELin

representations of the operators %", &/ and & under the Fourier basis. To this end, we
require some necessary notations. For each n € N, we set Z,J[ ={1,2,...,n — 1}. We
denote by w = [wg, w—_f : k € Z;:‘] the vector w = [wy, w_1, ..., Wy—1, W—(,—1)] and
by w = [wi, w_y : k € Z,] the vector w = [wo, w1, w_1, ..., Wy—_1, W_(z—1)]. For each
k|, |l| € Zy, we set

Ky = /2 K(s, t)er(s)e;(t)dsdt
1

and introduce the square matrix of order 2

By defining the matrix blocks
K :=[Ki;:k 1 €Zf], K :=[Kool. K’ :=[Kox Ko« :k € Z}],
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K" := [K_k0, Kko: ke Z11",

we build the matrix representation of the operator .%" as

K/ K//
K, = " .
K”7 K
In a similar manner, we can define the matrices A, and B,, as the matrix representations of
the operators .4 and B, respectively. The projection of Wit,, can be expressed in the form

PuVin(t) = D brer®). 1€l
|k|€Zn

and the coefficients l;k, |k| € Z,, are determined by l;k = (Wi, e). Associated with
U, = Z aje;, we introduce two vectors
[1|€Zy

G, = [ag, a1 k € Z,)" and ¥, := [by, by 1k € Z,]".
By setting hy := /h(t)ek(t)dt, |k| € Z,, we also define the vector
I

h, :=[h_y, by : k€ Z,]".

Let I,, denote the identity matrix of order 2n — 1. By using the matrix and vector notations,
Eq. (3.1) takes the equivalent matrix form

(In - Kn)ﬁn + (An + Bn)fln = hn~ (32)

To develop a fast solver for (3.2), we shall apply appropriate matrix truncation strategy
to the dense matrices K,, and B,,. Using this strategy, we not only compress a dense matrix
to a sparse one but also retain enough entries to represent critical information encoded in
the original matrix. It is the smoothness of the kernel functions K and B that allows us to
carry out the hyperbolic cross compression technique to the matrices K;, and B,,. In fact,
this type of compression comes from the hyperbolic cross sparse approximation of functions
by the Fourier basis, which remove the unnecessary high frequency terms and retain only
low frequency and necessary high frequency terms in the Fourier expansion. Specifically, we
introduce the index set IL,, := {[k, (] € Zﬁ : kl < n} and define the truncation matrix of K,
by setting

= [ Key K DeL,n@ZH* = = . +
K1 o= [Ozxz, otherwise, K=Kk l€Z,],

and letting

- K/ K//

K, = |:K/// K ] .
The dense matrix B, can be similarly handled. If we use N'(M) to dgnote the anber
of nonzero entries in the matrix M, an estimation in L6] gives~ that N (K,,) = N(B,) =
O(nlogn), which shows the sparsity of the matrices K,, and B,,. This truncation strategy
admits a fast algorithm to set up the matrix representations and to solve (3.2) subsequently.

Numerical implementation of the fast method requires efficient computation of the nonzero

entries of the matrices K,, and B,,. These quantities involve oscillatory integrals, which should

be treated by efficient quadrature formula. For recent development of numerical integration of
oscillatory integrals, see [20,21,23,29]. We will use an efficient quadrature formula developed
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in [23] for computing the nonzero entries of the truncated matrix K,,, which are defined by
the integrals

K1 ::/ K(s, t)ex(s)e(t)dsdt, |k|, || € Ly.
12

In this method, one first constructs a multi-scale Lagrange interpolation on sparse grids as a
good approximation of the kernel function K. Replacing the kernel function K by the multi-
scale Lagrange interpolation, one can obtain a quadrature formula of the original integrations.
With the help of the product integration method, the resulting oscillation integrations can be
evaluated exactly. Readers are referred to [23,24] for a detailed description of the algorithm.
In the following, we denote by IZ,,, ~ the matrix Kn with K ; being evaluated by the quadra-
ture formula in [23], where N is the number of partition level of the multi-scale Lagrange
interpolation for the kernel K. We deal with the entries of the matrix ]~3n in a similar manner
and obtain the matrix ﬁn, N-

Up to now, by replacing the dense matrices K,, and B, by I”i,,, N and l~3n, N, respectively,
we obtain the fully discrete truncated nonlinear system

(In - I’En,N)ﬁn.N + (An + ﬁn,N)"‘;n,N - hl‘h (33)

where U, y := [ax n,d—k.n : k € Z,17T is the corresponding solution to be determined and
VaN = Ibkn,b_k.n ik € 7,17 with

by = <‘1’ Z ap e ,€k>, k| € Zy.

[1|€Zy

Finally, we consider solving the nonlinear system (3.3) by the multilevel augmentation
method. The key idea of the multilevel augmentation method is to solve the system by
inverting the nonlinear or linear operator in a subspace of a much lower dimension with
a compensation of high frequency by matrix-vector multiplications. To apply this idea to
Eq. (3.3), we let k be a fixed positive integer and denote the initial level of approximation.
Assume that we solve (3.3) with n := 2K m e N. We write the matrix iin, ~ in the block
form

Koo Ko -+ Kom
Roy=| 0 A
me fml e ?mm
where Koo has order (2KT1 — 1) x (21 — 1), Ko, has order @1 — 1) x 2K K
has order 2¥*4 x (2*! — 1) forg = 1,2,...,m and K pq has order 2k+p 2k+‘i for
p,q=12,...,m Foreachl =0,1,...,m, we denote by Ky ; y the submatrix of K,
that has the form
Koo Kot -+ Ko
~ Kio K1 - K
Kepw=| 700 70 70
Ko Kn - Ky

and split K¢ ; v into its “low frequency” and “high frequency” components:
=L = = — —n Ko K -+ Ky
Kk,z,N=[K00 Ko --- Ko,] and Ky y=| -+ o oo
Ko Kn --- Ky
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By the same way, we also introduce the submatrices and corresponding “low frequency”
components and “high frequency” components for the matrices I,,, A,, and ]~3n, N With the
help of these notations, we establish the following fast algorithm for solving the nonlinear
system (3.3).

Algorithm 1: The fast multilevel augmentation method for the nonlinear system
Let k be a fixed positive integer. Set hywwn 1= [(h, ), (h,e_j) : j € Z2k+m]T.

Step 1: According to Newton’s method, solve the nonlinear system
(L — Ki o000, + (Agk + Br o v)Veon = h,

for the solution wg o v = [(Wk,0,n)j, (Wk,0,n)—j : j € Zok]7, where
Vion = [(Wuko0n), ), (Wluron), e-j) : j € Zpl"
and ug o N = z|j|622k (ug,0,n)jej. Setl :=1.
Step 2: Sethy; :=[(h,e;), (h,e_;) : j € Zpiri\Zy]".
o Compute Vi v = [(W(uk1—1,8). €j), (Vi 1—1,n), e—j) 1 j € Zoprt]”.
e Augment the matrices Kf,l_l,N, A}zlfl and BIIZI—],N to form K,f,’,\,, Algl and Blgl,N’
respectively.
“k,l—l,Ni|

e Augment the vector uy ;1 y by setting G s y = |: 0
2k+l 1

e Compute
H . SH - H | #H e
wy =g K vy — (A + B v Vi

Ho._ Ho ),
Letui) v = 2 jlez a2y O, N )i €5

. =L =L =L =L
Step 3: Augment the matrices Kii—in A,flfl andB ;| ytoformKy, . A,fl andB;; v,
respectively. According to Newton’s method, solve the nonlinear system

L

L %L Wi N L | Bl =

@ — Ky n) [UH’ } + (A + By Vi N = hy
LN

for the solution u/f,l,N = [(ulf,l,N)J" (u/ﬁl,N)—j 1 j € sz]T, where

Vit =W,y +ug i n)s e (W, y +ug y)ie—j): j € Zow]”

L
u
L . L . .
and u N = > 1€z (“k,l,N)jej' Define w; ;v = [“%ﬂ and uy y =

L H
U N T U N
Step 4: Set!/ <— [ + 1 and go back to Step 2 until [ = m.

To close this subsection, we will show in the following theorem that the proposed method
is indeed a fast algorithm and preserves the optimal order of convergence. It can be proved
by arguments similar to those in [10]. To present this result, following [10], we introduce
two spaces of functions. For any « := [, a1] € N%, let |ot]oo := max{ap, o1} and || :=
lotg| + o1 |. For a function f € C?(1?) and for « := [ag, o] € N(z), we write

f@G, 1) = (

||

05909t

f) (s, 1), (s,1) € I,
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and define the space
XU = {f: I’ > R: f@ e CUI?), el < o).

For u > 0, we also define the space H/"(I?) of functions ¢ € L*(I?) whose Fourier
coefficients {¢y; : k, [ € Z} satisfy

DDA+ E A+ ) gral* < oo

keZ leZ

Theorem 3.1 Ifthe kernel functions K and B € X° (IHNH*I?) witho > p+ 1/24€, n >
0,e > 0 and u € H*(I), then there exist a positive constant ¢ and a positive integer n,
such that for all k > ng and m € Ny, there holds

Nt v — ull < 27 EF™ 1y,

where N = k + m. In addition, the total number of multiplications required for obtaining
W, in Algorithm 1 is O((k + m)32k+m),

3.2 Fast Algorithm for Solving the Linear System

In the case of the Robin boundary value problem, the operator W is given by
W) =u@®lx O, tel.

This leads the system (3.1), which is equivalent to (2.9), to be a linear system. We now write it
in a matrix form. In this case, we also need the matrix representations of the operators ¢, .o/
and 4, which have been described in the last subsection. The only difference is the projection
of Wil,. Since (Wi, ) (1) = i, (t)|x'(1)], t € I, the coefficients by’s can be represented by

be= D (IXler. ex)ay, |k| € Zy.
|| E€Zn

Foreach |k|, |l| € Z,,, we set Y1 := / |x"(t)|ex (t)e; (t)dt and define square matrix of order
I

2
P, = [Iﬂ—k,l w—k,—lil.
' Vi Yk—
Using the matrix blocks defined by
F:=[F:kleZl], ¥ :=[yool.
F/ = [Yox Vo« k€ Z), F" :=[Y_ro. Yro:kez1,

we build the matrix
F/ F//
F, = |:F/// F ] .

With the help of this matrix and the representation matrices of operators, (3.1) reduces to the
linear system
I — Ky, + (A, +By)F,0, =h,. 3.4

By similar arguments with those in the last subsection, we compress K, and B, to sparse
matrices and evaluate the nonzero entries of the resulting matrices by the quadrature formula
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in [23]. In addition, for computing the entries of F,,, we use the trapezoid quadrature formula.

That is, for each |k|, |I| € Z,, we set
()|« (ﬂ) a (). (35)
n n n

- g

Vi = Z
J€Zon

We then denote F,, the matrix F,, with the entries beirlg evaluated by formula (3.5). We

note that the number of multiplications used to set up F, by the fast Fourier transform is

O(nlog, n). Consequently, we obtain the fully discrete truncated linear system

(In - IAirL,N)ﬁn,N + (An + i);n,N)Fnﬁn,N = hn- (3~6)

In the light of the idea of the multilevel augmentation methods, we establish in the follow-
ing a fast algorithm for solving (3.6) with n = 2K+ Here, we also define the submatrices
and corresponding “low frequency” components and “high frequency” components for the
matrix l~7‘,, as we have defined for I~(n, N-

Algorithm 2: The fast multilevel augmentation method for the linear system
Let k be a fixed positive integer. Set horm = [(h, e;), (h,e—;) : j € sz+nz]T.

Step 1: Solving the linear system
(Lt — Ke.o, 8 k0,8 + (Agk + B o v)Fpeug o v = ho, (3.7)

for the solution w0y = [(ugo,n)j, (WroN)—j @ ] € sz]T. Define uy o,y =
ngzzk (ug,o,n)jej. Setl := 1.
Step 2: Sethy; :=[(h,e;), (h,e_;) : j € Zorri\ L.
e Augment the matrices IZ,{{,_LN, Aglfl,ﬁfl_]y,\, and Fk,l—l to form IZ,{J,[’N, A]gl,

— _ ‘
B, ; v and Fy j, respectively.

N uy
e Augment the vector u; ;1 by setting Uy s y = i
02""*’l><1
e Compute
H . SH o H | sH \§ =
wl oy = K vy — A + B pFk g N (3.8

H . H p.
Letui) x = 2jjlez iz, Wisn) i€

. =L =L =L =L
Step 3: Augment the matrices Kk,l—l,N’ A,I;lfl and Bk,l—l,N to forkaJyN, A,I;l andBky,’N,
respectively. Solve the linear system

L
~ u ~ ~ ~
L L kLN L L L s I H .« H
@ =Ko | n |+ A+ B WIED we v + FD ue v =hoe (3.9)
Ui N
. L _ L L e T L o
for the solution Wy = [(uk,l,N)./’(uk,l,N)—./ : J € Zy]". Define Ugn =
ul%lN
L . ._ A, L H
ZIjIeZ2k (e pjejs WerN 2= | and u N =gy g -

Wi N
Step 4: Set/ < [ + 1 and go back to Step 2 until [ = m.

Remark In step 2 of Algorithm 2, for computing u,f 1. according to formula (3.8), we have to
face the multiplication of the dense matrix fk, 1 and the vectors G ; x . This will bring to us the
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large computational costs. To deal with this issue, we rewrite the vector ¥ ; y 1= Fkylﬁk, IN
by the following formulas:

jr T\ .
U,1—1,N (7) = Z (W 1-1,N)q¢q (7) J € Zon,

g1 €2Zsk11-1
jm jm
—lep | —— ), € Zok+l .
( n ) r ( n ) |p| 2k+l

j T
Applying the fast Fourier transform to obtain uy;—1 .y (J—), J € Za,, and then
n

and

. 7T JT\ |,
Ve, N)p = — ug—1,N{— ) |x
=S e (£

J€Zon

VeiN) pr Pl € Zokr, we require only O(nlog, n) number of multiplications. We shall
compute the vector (F,g,)*u,f{ LN in (3.9) in the same way.

In the rest of this subsection, we analyze the proposed method. We first gives an estimation
of the computational cost required for Algorithm 2.

Theorem 3.2 The total number of multiplications required for obtaining U, n in Algorithm
2is O((k + m)32k+m),

Proof The total number of multiplications required for obtaining g, x equals to the sum
of numbers of multiplications used to generate the matrices I~(2k+m, N> I~32Hm7 y and ﬁsz
and that used to carry out the computing steps listed in Algorithm 2.

It is known [24] that the number of multiplications for generating K2k+m n and B2k+m N
is O((k 4+ m)32k+™). Applying the fast Fourier transform to compute the entries of F,,, we
require O((k 4+ m)2K+™) number of multiplications. To carry out the computing steps listed
in Algorithm 2, we need to compute only once of step 1 and update for [ € Z,,4+ in steps
2 and 3. The computational cost of step 1, used to solve a linear system of a much smaller
order, can be considered as a constant. In step 2, as has been pointed out, the number of
multiplications used for computlng the vector Fk 1y nis is O((k + m)2k+”‘) Since the
truncated matrices Kk’ ;v and BA KIN both have O((k +1 )2k+1) numbers of nonzero entries,
the number of multiplications used to multiply these matrices with corresponding vectors
is also O((k + )2K*). In step 3, the number of multiplications for evaluating the vector
(fgl)*u,f{l’N is also O((k + m)2KT™). Moreover, since the linear system (3.9) has the same
size as (3.7), we consider the computational cost for solving it as a constant.

Consequently, we get the desired result by adding up the above estimates together. O

We next establish the convergence order of the approximate solution uy , n by a similar
analysis used in the nonlinear case. To this end, we represent Algorithm 2 in an operator
form. Following [10], we introduce the following operators. Set n := 25+ and N := k +m.
We denote by .7, and %/ _~ the linear operators from X,, to X,,, which have K, and Kn N
as the matrix representations under the Fourier basis, respectively. For each [ € Z;,41, we
also introduce the operator % IN ¢ Xoknn — Xore with the matrix representation Kk I.N
and split the operator into its “lower frequency” and “higher frequency” components as
%//(J,N = %/ZN—i— %/,N,wuh

. P o H . a
<%/l<,l,N = 3221(%/1(71,1\/, 1N = (Pokrt — Pok) K 1N -

. =L ~=H . . .
It is clear that the matrices K ; y and K ;  are just the matrix representations of the opera-

tors JZCLI  and ]f;fll - Tespectively. In a similar manner, we also introduce the corresponding
operators for the kernel functions .4 and B.
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Moreover, we define the interpolating projection operator 2, : L>(I) — X, by

Du(¢) = D e

|k|€Z

() () e

J €Znn

with

It is known [2,25] that there exists a positive constant ¢ such that for any ¢ € H*(I) with
© > 1/2, there holds
¢ — 2udll < cn ||l

Let %, = #,V|x, and Fy = 9, \IJIX Then the matrices F, and F,, are the matr1x
representations of operators .%#, and /,1, respectively. For each | € Z,,4+1, we use /k ;] to
denote the linear operator from X,/ to Xpc+1 with the matrix representation Fy. ;.

With these notations, for each / € Z,,11, Eq. (3.8) is equivalent to

ufly n = (Popst = Py)h + 1G]]y — (Al + Bl ) Freiluri-i (3.10)
and linear system (3.9) is equivalent to
(P — 5§+ (A + BE )Tl +ufy y) = Poch. (3.11)
Combining (3.10) with (3.11), we have for each [ € Z, 41
[Z - Ji;kLlN + (4@7/5 + e@;ﬁw)jk,l]uk,l,iv
= Poi+th + [Jf;{f;\; - (42{;5 + =@£1,N)ﬁk,l]uk,lfl,N- (3.12)

To give the convergence analysis, we need some useful lemmas. The first lemma given in
[10,24] is concerned with the differences between 7, and %, n

Lemma 3.3 IfN := [log, n] and K € X°(I*)NH"*(I*) witho > ju+1/2+€, 1 >0, € >
0, then there exist positive constants ¢ and ng € N such that for all n € N with n > ng and
forall w e L*(I),

(= o n) Paw]| < cllwlln™".

As a direct consequence of Lemma 4.3 in [10], we have the following estimation of the
differences (%, — Bn,N)-Fn.

Lemma 3.4 IfN := [log, n] and B € X° (I*)NH*(I?) witho > u+1/2+€, 1> 0,€ >
0, then there exist positive constants ¢ and ny € N such that for all n € N with n > ng and
forallw e L3(I),

(B = B N) T Prwl| < cllwln™".

The next result is devoted to estimate the difference between the operators .%, and 3%,,,
which can be proved by similar arguments to those of Lemma 4.1 in [5].

Lemma 3.5 [f the function |x'| € H nLepy, w > 0, then there exists a positive constant ¢
such that for alln € N and w € L*(I)

1(Fn — Fn) Puwll < cllwlln™". (3.13)

Proof Replacing the function a by |x’|, Lemma 4.1 in [5] leads directly the desired result. O
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Combining the above three lemmas, we obtain the following estimation.

Lemma 3.6 If N := [log,n], Be X°(I>)NH*(I*) witho > u+1/24+¢€, 1> 0,€ > 0,
and |x'| € HHMHY(), then there exist positive constants ¢ and ng € N such that for alln € N
with n > ng and for all w € L2(I),

(%, — <%7)1,N)cgingznw|| = C”w”n_ﬂ'
Proof By the triangle inequality, we get for all n € N and w € L?(I)

(B — Bn.N) T Puwl < (B — B N) Tn Puw| + (B — B NI (T — F) Pow].

(3.14)

On one hand, by Lemma 3.4, there exist ¢; > 0 and n; € N such that for all n > n; and
w e L2(I), )

|(Bn — B, N)Fn Puwl| < crllwlln™". (3.15)

On the other hand, applying Lemma 3.3 to the kernel 55, we have that there exist positive
constants ¢ and ny € N such that forall n > ny and w € L2(I),

(B — Ba NN (T — Fn) Ppwl < 2l (P — F) Puwlin™H.

Together with (3.13) the above inequality shows that there exists positive constant ¢3 such
that
(B — Bou N (T — Fn) Py < c3llwn™ . (3.16)

Substituting (3.15) and (3.16) into the inequality (3.14) and letting ¢ := max{cy, c3}, no :=
max{ny, no}, we get the desired result. O

A standard argument in [2,25] tells us that there exist a positive integer no and a positive
constant p such that for all n > ng and all w € X,,,

1T — S + (Gn + Bp) F))wll = pllwll, (3.17)

which shows the operator Z — Ji/n~+ (o), + t%‘n)i%l is s~table. We are now ready to present
the stability of the operator 7 — J%;, n + (%, + B, N)Fn.

Theorem 3.7 If N := [log,n], K, B € X°(I?) N H*(I*) witho > u+1/2+ €, 1 >
0,¢ > 0, and |x'| € H*t1 (1), then there exist a positive integer ng such that for all n > ng
and for all w € X,

. . P
(T = 2N + (P + Bun)F)w = §I|w||~

Proof By Lemmas 3.3 and 3.6, we conclude that there exists a positive integer n such that
for all n > n; and for all w € X,,,

> p . . p
(P — St Nwll = gllwll, 1(Bn,n — Bn) Fnwll < gllwll-

It follows from Lemma 3.5 and the uniformly boundedness of the operators <%, and %,,, n €
N, that there exists a positive integer ny such that for all n > ny and for all w € X,,,

- o
(< + Bu)(Fn — F)wll < gllwll-

Combining the above inequalities with (3.17), we get for all n > ng := max{n, n,} and for
allw € X,,,

IZ — SN + (S + Bu.N) T Wl
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> (T — J + (S + B) Fwll — |(Hn — Fp Wl
. - . o
(BN — B) Fnwll — |y + Bu)(Fn — F)wl| = Ellwll-

[m}

Theorem 3.8 If K, B € X°(I>) N H*(I?) witho > n+1/2+ €, 4 > 0,e > 0 and
u e HH(I), |x'| € H*TY(I), then there exist a positive constant ¢ and a positive integer n,
such that for all k > ny and for all m € Ny,

Ntk v — ull < 27#EF™ 1y, (3.18)

where N = k + m.

Proof We prove this theorem by induction on m. The proof for the case m = 0 is trivial. We
assume that (3.18) holds for the case of m — 1 and consider the case of m.

Let fi5i+n be the solution of Eq. (2.9) with n = 25 Using the triangle inequality, we
get

lkem. N — ull < lligeem — ull + llugm,n — dgem |-

According to Theorem 2.3, the first term on the right-hand side of the above inequality can
be estimated as
llu — digtesm || < o2 HEF™ ], (3.19)

for some positive constant ¢y and sufficiently large integer k. It suffices to estimate the second
term. Combining (2.9) with (3.12), we represent the difference ug y, y — lyktm as

Uk,m,N — ﬁ2k+m =7 - ﬂg{mN + (ok+m + <@](,,,,,1\/)ﬁ12k+m]71(1/11 + uy), (3.20)
where

uy = (HgmN — <%/2k+m)'22k+m + [(Boksm — L@k,my]v)<g;2k+m]ﬁ2k+m
+ (Fksm + Boysm ) (Fopim — Fotetm Vligicsm,

and
. o H H 7H o
up = (A N + Dopym + By N)F okt 1k, N — Uk, m—1,N)-

From Theorem 3.7, there holds for sufficiently large integer k
. 2
ek, m, N — tpkm || < ;(””l” + lluzl). (3.21)

We now turn to estimating u; and uy. It follows from Lemmas 3.3, 3.5 and 3.6 and the
uniformly boundedness of the operators #+m and %,k+m, that there exists a constant cg
such that for sufficiently large integer k and for all m

—uk ~
lurll < 127 g .

Since ||éipe+m — u|| — O uniformly for all m, as k — oo, and ||lu|| < |lu|,., we conclude that
there exists a constant ¢ such that for sufficiently large integer k and for all m

lur |l < 227 ], (3.22)
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To estimate u5, we first prove the uniformly boundedness of the operators .%,, n € N, on
X,. By Lemma 3.5 and with the fact that there holds ||.Z,w|| < ¢’|w]| for all n € N and
w € X,,, we have

| Zawll < I1(Fn — F)wll + | Fwll < ("0 + ) wl,

forall n € Nand w € X,,. That is to say, there exists a positive constant c3 such that for all
neNandw € X, %, w| < c3||w]. This leads to the following estimation of u»

o H H 2H
luzll < WA n v |+ €31l | 4 €3 1By, DNtk N — U m—1 N ||

We note that |4 Il + csll oy, | + e3 8, Il — O uniformly for all m, as k — oo.

Hence, there holds for sufficiently large integer k and for all m,
p A N
luzll = 7 (et 1.8 = thggesn | + lltbgreom = ukm N 11- (3.23)
Substituting (3.22) and (3.23) into (3.21), we obtain

4c
Jz*#(ker) ”“”M

etk m, N — osm || < + g m—1,8 — topsm |-

Together with the induction hypothesis, the above inequality yields

4o
—nuk A
72 HEEM N+ Netgemarn — ull + = dgicin |

IA

ke, m, N — Bt ||

IA

a2 EE |y, (3.24)

for some positive constant c4. By inequalities (3.19) and (3.24), we prove (3.18) form. 0O

4 Numerical Examples

In this section, we present numerical examples to demonstrate the approximate accuracy and
computational complexity of the proposed method. All computer programs for the numerical
examples are run on a personal computer with a 2.8GHz CPU and 8G memory.

As has been pointed out in [10], if the exact solution u of the boundary integral equation
is analytic, the improved Fourier—Galerkin method (2.9) enjoys the exponential convergence
order. Hence, for a small n the approximate solution i,, will achieve enough accuracy and
then we solve the nonlinear system (3.2) directly by Newton’s method or solve the linear
system (3.4) directly by Gaussian elimination. In this case, we denote by d,, the dimensions
of the approximate subspaces and define the relative error Err of the approximate solution
by

Epr e 12— dnll

[Juell
In the case when the exact solution u has a general regularity, we will use the fast algorithms
proposed in section 3 for solving (2.9). To demonstrate the numerical results, we let k denote
the initial level and m denote the number of levels to be augmented. We also use dyi+m
to denote the dimensions of the approximate subspaces. The relative error “Err” and the
approximation order “AO” are defined respectively by

_ M= ke gegm |l llu — tim kg

Err .= ul , and AO :=log,
u

lu — trmst ksmet
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Table 1 Numerical results for

Example 4.1 n Err
3 8.0990e—03
15 1.1300e—06
16 31 1.1913e—11

where uj m k+m 1S the approximate solution obtained by Algorithm 1 or Algorithm 2. We
denote by “CT” the computing time measured in seconds, which is used for generating the
sparse matrices I~(,,7 N> I~3n, n and solving the nonlinear system (3.3) by Algorithm 1 or solving
the linear system (3.6) by Algorithm 2. To confirm the quasi-linear computational complexity,
we also define

CT(2k+m+l )
CT(2k+m) !

We first present three numerical examples for solving the boundary integral equation
reformulated from the nonlinear boundary value problem:

CO :=log,

Au(x) —2u(x) =0, xeD,

851(1)6) = —u(x) —sinu(x) + f(x), x €T, 4.1

where D is a circle plate region with the boundary I" having the parametrization
x(t) = (cost,sint), tel.

Example 4.1 We choose the right-hand side function f = eCostHsint (cos ¢ 4 sint + 1) +
sin(eCoS!T8IM1y ¢ e | so that the function

u(t) — ecost—}—sint’ tel,

is the exact solution of the integral equation reformulated from (4.1). Since the solution u is
analytic, we obtain the approximation solution by solving (3.2) directly by Newton’s method.
The numerical results for this example are presented in Table 1.

We observe from the numerical results that the approximation error decays quite fast so
that for n = 16 the approximate solution i, has already got enough accuracy. Hence, we
need not to consider a fast solver for the improved Fourier—Galerkin method.

To confirm the theoretical order of approximation and computational complexity of Algo-
rithm 1, the following two examples are concerned with the exact solutions with different
regularities.

Example 4.2 In this example, the right-hand side function f is chosen such that

t, 0<t<m,
2 —t, w <t <2m,

u(t) = [

is the exact solution of the integral equation. We note that u € H%>~¢(I) with € > 0 being
an arbitrary number. We solve (3.2) by Algorithm 1 with the initial level K = 4 and list the
numerical results in Table 2. It is known from the regularity of u that the convergence order
of the approximation solution is 0.5 — €. This is confirmed by the numerical results listed
in Table 2. The numerical results also show that the computing time is consistent with the
quasi-linear computational complexity estimate.
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Table 2 Numerical results of

Algorithm 1 for Example 4.2 " dytim Err A0 cr co
0 31 9.9015e—02 0.008
1 63 6.9683e—02 0.5068 0.021 1.3923
2 127 4.8969e—02 0.5045 0.061 1.5384
3 255 3.4533e—02 0.5037 0.163 1.4183
4 511 2.4391e—02 0.5017 0.444 1.4457
5 1,023 1.7238e—02 0.5007 1.167 1.3742
6 2,047 1.2186e—02 0.5003 3.156 1.4353
ettt e R SRS
0 31 9.0850e—03 0.008
1 63 3.1511e—03 1.5276 0.023 1.5236
2 127 1.0977¢e—03 1.5214 0.061 1.4072
3 255 3.8554e—04 1.5095 0.165 1.4356
4 511 1.3589¢—04 1.5044 0.437 1.4052
5 1,023 4.7973e—05 1.5021 1.168 1.4183
6 2,047 1.6949¢—05 1.5010 3.162 1.4368

Example 4.3 We choose the right-hand side function f such that
I 5 5
u(t) = E(3f —6mt+217), tel,

is the exact solution of the integral equation. It can be seen that u € H'5~¢(I) with e > 0
being an arbitrary number. We also solve (3.2) by Algorithm 1 with the initial level k = 4
and report the the numerical results for this example in Table 3.

The next three numerical examples are devoted to solving the boundary integral equation
reformulated from the Robin boundary value problem:

Au(x) —2u(x) =0, x €D,

0u®) _ )+ o). x €T,
ony

where D is a kite-shaped region with the boundary I" having the parametrization

4.2)

x(t) = (x1(2), x2(t)) = (cost + 0.65cos 2t + 0.65, 1.5sint), ¢t e 1.

Example 4.4 In this example, we consider the analytic solution u () = e 120 ¢ ¢ J,
Then the right-hand side function has the form f(¢) = e~ 1= [(_1 5cost — sint —
1.3sin2¢) //w(t)] with w(t) = (1.5 cos )% + (sinz + 1.3sin21)2, t € I. We solve (3.4)
directly by Gaussian elimination. The numerical results presented in Table 4 confirm that the
improved Fourier—Galerkin method attains the exponential convergence order.

Example 4.5 We choose the right-hand side function f such that

t, 0<t<m,
2 —t, w <t <2m,

u(t) = ‘
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Table 4 Numerical results for d
n

Example 4.4 " Err

3 1.0415e—01

15 1.5918e—03

16 31 2.7569e—08

32 63 4.5270e—11

ety vt R o a o
0 31 9.9005e—02 0.008

1 63 6.9543e—02 0.5096 0.023 1.5236

2 127 4.8937e—02 0.5070 0.063 1.4537

3 255 3.4528e—02 0.5032 0.173 1.4573

4 511 2.4390e—02 0.5015 0.462 1.4171

5 1,023 1.7238e—02 0.5007 1.234 1.4174

6 2,047 1.2186e—02 0.5004 3.690 1.5803

pbles Nemercrledl b o a
0 31 9.0847¢—03 0.008

1 63 3.1695e—03 1.5192 0.023 1.5236

2 127 1.0996e—03 1.5273 0.064 1.4764

3 255 3.8570e—04 1.5114 0.175 1.4512

4 511 1.3591e—04 1.5049 0.466 1.4130

5 1,023 4.7974e—05 1.5023 1.225 1.3944

6 2,047 1.6949e—05 1.5011 3.741 1.6106

is the exact solution of the integral equation reformulated from (4.2). Solving the linear system
(3.6) by Algorithm 2 with the initial level k = 4, we obtain the approximation solution. The
desired theoretical approximation order is 0.5 — € since u € H*>7¢(I) with € > 0 being
an arbitrary number. We list the numerical results of this example in Table 5, which are
consistent with the approximate accuracy and computational complexity of Algorithm 2.

Example 4.6 In this example, we also consider the exact solution of the integral equation as
1
u(t) = E(3;2 —6rt +27%), tel,

by choosing the right-hand side function f. As has been pointed out in Example 4.3, there
holds u € H'5~€(I) with € > 0 being an arbitrary number. In Table 6, we present the
numerical results for this example when we solve (3.6) by Algorithm 2 with the initial level
k = 4.
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