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Abstract

The application of single-item measures has the potential to help applied researchers address conceptual, methodological,
and empirical challenges. Based on a large-scale evidence-based approach, we empirically examined the degree to which
various constructs in the organizational sciences can be reliably and validly assessed with a single item. In study 1, across 91
selected constructs, 71.4% of the single-item measures demonstrated strong if not very strong definitional correspondence
(as a measure of content validity). In study 2, based on a heterogeneous sample of working adults, we demonstrate that the
majority of single-item measures examined demonstrated little to no comprehension or usability concerns. Study 3 provides
evidence for the reliability of the proposed single-item measures based on test—retest reliabilities across the three temporal
conditions (1 day, 2 weeks, 1 month). In study 4, we examined issues of construct and criterion validity using a multi-trait,
multi-method approach. Collectively, 75 of the 91 focal measures demonstrated very good or extensive validity, evidenc-
ing moderate to high content validity, no usability concerns, moderate to high test—retest reliability, and extensive criterion
validity. Finally, in study 5, we empirically examined the argument that only conceptually narrow constructs can be reliably
and validly assessed with single-item measures. Results suggest that there is no relationship between subject matter expert
evaluations of construct breadth and reliability and validity evidence collected across the first four studies. Beyond provid-
ing an off-the-shelf compendium of validated single-item measures, we abstract our validation steps providing a roadmap
to replicate and build upon. Limitations and future directions are discussed.

Keywords Single-item measure - Validity - Reliability - Organizational sciences

In the organizational sciences, it is seemingly an urban
legend that to validly assess psychological constructs, one
must use multi-item measures (e.g., Allen et al. 2022; Boyd
et al. 2005). While it has long been argued that the use of
single-item measures should not constitute a “fatal flaw”
(e.g., Wanous et al. 1997), resistance to their applicability
continues (Boyd et al. 2005; Singh 2003). To be clear, as dis-
cussed in the larger literature (e.g., Cheah et al. 2018; Fuchs
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and Diamantopoulos 2009), there are constructs where sin-
gle-item measures are likely not appropriate. For example,
constructs that incorporate multi-dimensional definitions, or
for constructs where items may be interpreted differently in
heterogeneous samples, are not good candidates for assess-
ment with single-item measures. More specifically, multiple
items may be required to ensure respondents’ assessment
of theoretically essential aspects of a conceptually complex
construct; in such cases, a single-item measure may lead
respondents to make an ambiguous and general interpre-
tation of the construct without their considerations of all
aspects of the construct (Fuchs and Diamantopoulos 2009).
From a psychometric perspective, more items can average
out random error across items, which improves (certain
types of) reliability (Sarstedt and Wilczynski 2009), which
can allow for increased measurement accuracy (Peter 1979),
with the potential for greater construct validity (Wanous
et al. 1997). And more practically, multi-item measures
allow for different options when dealing with issues like
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missing data (Cheah et al. 2018). The straw man argument
then is that because multi-item measures have these potential
advantages, single-item measures are somehow inherently
deficient. This seemingly knee-jerk reaction that all single-
item measures are in some way not valid or imply a weak
research design is counterproductive and may inadvertently
limit advancements in the organizational sciences.

Outside the organizational sciences, including fields like
epidemiology, nursing, and political sciences, the use of
single-item measures is much more accepted. As a result,
a broad body of interdisciplinary work has detailed the
validity and utility of single-item measures (e.g., Ang and
Eisend 2018; Cheah et al. 2018; De Vries et al. 2016). While
we return to this issue in more detail shortly, single-item
measures have two primary advantages. First, they mini-
mize practical concerns (e.g., survey length, participant
fatigue, response and retention rates; Fuchs and Diaman-
topoulos 2009) when applied to various types of data col-
lection efforts. Second, they often have fewer issues related
to contamination and redundancy (compared to multi-item
measures; Fisher et al. 2016; Wanous et al. 1997), wherein
measurement contamination can result in spurious relation-
ships between constructs or suppress the observed relation-
ship because the construct is not correctly assessed (Guion
1965). Put another way, asking tangentially related items
(i.e., contamination) or asking the basic same item over and
over again (i.e., redundancy) simply to ensure a multi-item
measure is available can result in unintended consequences
(Arnulf et al. 2018; Boyle 1991; Maul 2017).

Admittedly, a major hurdle related to substantiating the
use of single-item measures in the organizational sciences
is that many were developed with limited evidence to sup-
port their reliability and validity (Fuchs and Diamantopoulos
2009). Taking up the call to action by Allen et al., (2022,
p- 1), who noted that “now more than ever, it is essential to
ensure that single-item measures are valid and reliable,” we
take a large-scale evidence-based approach to examine the
degree to which constructs common to the organizational
sciences can be assessed reliably and validly with single-
item measures. That is, rather than subjective evaluations
regarding the appropriateness of single-item measures
(Singh 2003), a systematic evaluation of their applicability
in the organizational sciences not only is warranted but also
serves as a means to advance the field by leveraging their
inherent benefits (Allen et al. 2022).

Our research makes several contributions to the litera-
ture. First, we present an evidence-based approach towards
the underlying utility of single-item measures to help high-
light the degree to which constructs in the organizational
sciences lend themselves to this measurement approach
(i.e., reduce subjective evaluations of what is an appropri-
ate measurement approach). Put simply, just as we do not
believe single-item measures represent an inherent fatal
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flaw, we are not arguing that all constructs are amenable
to this assessment approach. That is, for example, Fuchs
and Diamantopoulos (2009) present a conceptual check-
list (e.g., construct concreteness and complexity, semantic
redundancy, desired precision) for evaluating if a construct
should be assessed with a single-item measure. Building on
previous literature then, we seek to leverage data to better
guide this ongoing discussion. For example, we investigate
whether the reliability and validity of single-item measures
are related to the degree to which constructs are conceptu-
ally narrow or complex.

Second, based on our systematic approach to understand-
ing the reliability and validity of single-item measures, we
provide an evidence-based template for future research,
within and beyond the organizational sciences, to examine
other constructs. Finally, and more practically, we provide
scholars and practitioners with a series of measures they
can confidently use to draw valid inferences in their own
research. We see this as particularly advantageous given
single-item measures may serve as a potentially proactive
solution in addressing the research-practice gap (Lapierre
et al., 2018). Moreover, there are a host of ongoing calls
encouraging organizational scientists to engage in more
cross-disciplinary research. Having a compendium of vali-
dated single-item measures may help organizational scien-
tists more effectively align their methodological approaches
with and facilitate collaborations across disciplines where
single-items are more commonly applied.

Our program of research includes five studies. In study 1,
we examine the content validity of 91 single-item measures.
In study 2, we explore usability and comprehension concerns
(Gehlbach and Brinkworth 2011; Rossiter 2002). In study
3, we examine the test—retest reliability of the single-item
measures across three distinct time-unit conditions (i.e.,
1 day, 2 weeks, 1 month; Dormann and Van de Ven 2014). In
study 4, we examine issues of construct and criterion valid-
ity. Finally, in study 5, we empirically examine the underly-
ing argument (e.g., Fuchs & Diamantopoulos 2009) that the
reliability and validity of single-item measures decrease as
the conceptual breadth of a construct increases (i.e., that
single-item measures should only be used for conceptually
narrow versus complex constructs). First though, we pro-
vide a brief primer on some of the benefits of single-item
measures.

Benefits of Single-ltem Measures

While various excellent summaries exist (e.g., Allen et al.
2022; Cheah et al. 2018; Fuchs and Diamantopoulos 2009),
holistically, single-item measures have two overarching
advantages. First, they help minimize significant practical
concerns. For example, leveraging single-item measures
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within a larger program of research can help mitigate issues
of respondent burden, survey length, and item repetition
(Drolet and Morrison 2001; Rogelberg and Stanton 2007).
These advantages are particularly salient in more resource
intensive data collection efforts (e.g., diary studies, experi-
ence sampling designs, multi-source designs, international
surveillance projects). In turn, efficiently using survey space
may allow researchers to include additional relevant con-
structs (i.e., address issues of model deficiency) while still
balancing against concerns like increased respondent burden
(Wanous et al. 1997).

Thus, the judicious use of single-item measures can help
researchers retain respondents who may not be interested
in engaging in a lengthy survey, preventing non-response
biases and survey breakoff (Goritz 2014). Their use can
also reduce the cognitive demands placed on respondents
compared with multi-item measures, helping to minimize
insufficient response effort patterns (e.g., straight-lining) and
missing variables (Fuchs and Diamantopoulos 2009). Fur-
thermore, the application of single-item measures can help
researchers adapt their assessment approach to new research
contexts (Cheah et al. 2018; Nagy 2002).

Second, beyond salient practical concerns, single-item
measures may demonstrate fewer issues with criteria con-
tamination while still being construct valid (Drolet and Mor-
rison 2001; Fisher et al. 2016; Wanous and Hudy 2001).
Single-item measures tend to present a revised version of
the construct definition or include several content-relevant
examples. This is done to proactively protect against issues
of criterion deficiency (Wanous and Hudy 2001) but has the
added benefit of ensuring construct-irrelevant characteristics
(i.e., criterion contamination; Scarpello and Campbell 1983)
are not assessed. For example, Drolet and Morrison (2001)
empirically demonstrated that while multi-item measures
result in strong estimates of internal consistency, beyond a
well-developed focal item, additional items add very little
explanatory power in terms of capturing and understanding
the underlying construct but can meaningfully increase error
term correlations across items.

While long-standing concerns exist around their valid-
ity and reliability (Cronbach and Meehl 1955; Nunnally
1978; Nunnally and Bernstein 1994), there is no theo-
retical reason to argue that all single-item measures are
“deficient.” Rather, just as with multi-item measures, it
is incumbent on researchers to provide validity and reli-
ability information for proposed single-item measures.
And while validity and reliability information for single-
item measures may differ from those commonly reported
for multi-item measures (Allen et al. 2022), we echo the
argument that it is possible to develop valid and reliable
measures for many constructs in the organizational sci-
ences (Bergkvist and Rossiter 2007; Fisher et al. 2016;
Sporrle and Bekk 2014).

Construct Selection and Item Development

Initially, we considered over 200 constructs for inclusion
based on a systematic review of prestigious journals within
the organizational sciences (e.g., Journal of Applied Psy-
chology, Journal of Management, Personnel Psychology,
Journal of Business & Psychology). We applied an iterative
review process, based on a series of inclusion and exclusion
criteria, to reduce the number of constructs. First, to increase
the overall utility of the resulting measures, we emphasized
constructs that have received systematic attention in the liter-
ature. Next, we identified and refined, as needed, operational
definitions for each focal construct to account for nuanced
differences and changes in construct definitions over time
and across subdisciplines (Slaney and Garcia 2015), exclud-
ing constructs with inconsistent conceptual definitions. In
turn, we only considered constructs where valid multi-item
measures existed (to be able to examine issues of construct
validity). We also generally excluded constructs where vali-
dated single-item measures already existed (e.g., Fisher et al.
2016; Gilbert and Kelloway 2014; Yarkoni 2010).

We should note that construct complexity (Fuchs and
Diamantopoulos 2009), or the degree to which a construct
is conceptually narrow (simple) versus broad (complex),
was not used as an initial inclusion criterion. The general
argument is that as construct breadth (i.e., conceptual com-
plexity) increases, it is necessary to include more items in a
measure to ensure adequate sampling of the target construct
(i.e., to maximize content validity; Thurstone 1947), wherein
increased representation of the conceptual space increases
predictive validity (Ones and Viswesvaran 1996). Thus, it
has been recommended that only conceptually narrow (i.e.,
simple) constructs be assessed with single-item measures
(Fuchs and Diamantopoulos 2009). To our knowledge
though, there is no established procedure for evaluating the
degree to which a construct is broad versus narrow.' Rather,
researchers are generally encouraged to rely on their “profes-
sional judgement” (Gehlbach and Brinkworth 2011, p. 383)
when deciding on the number of items needed to represent
a construct (Hinkin 1998). Given the relative subjectivity
involved in evaluating construct breadth, we did not include
this as an initial criterion; rather, this is an issue we return
to in study 5.

! We should note that definitional and terminological confusion sur-
rounds the concepts of complexity and concreteness, with different
authors approaching and defining terms in inconsistent ways. For
example, referring to a construct as “broad” or “abstract” could be
meant to refer to how large the construct space is (e.g., a “complex”
personality trait), to denote that a construct is multi-dimensional
in nature (e.g., job satisfaction), or to denote that a concept is not
grounded in sensory-motor information (e.g., role ambiguity; Borghi
et al. 2017).
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With that in mind though, two additional considerations
played a key role in selecting focal constructs and the item
writing process. First, to increase the utility of the items across
different research methodologies, we sought to ensure that
items were interpretable across different recall windows (e.g.,
daily recall, the past month); we wanted to validate items that
were versatile in terms of temporal cadence (i.e., study 3).
Thus, items were phrased such that, in future research, schol-
ars can more confidently adjust the recall window to match
theoretically relevant temporal processes under consideration
(Dormann and Van de Ven 2014). Second, common instruction
stems and response formats (e.g., Likert and frequency) were
applied to standardize the survey administration process. These
steps should help scholars effectively manage the cognitive
load on participants while also partially addressing issues of
common method variance by leveraging two different response
scales (Podsakoff et al. 2003).

Thus, based on each construct definition, we developed an
item that either presented content-relevant examples and/or
presented a revised version of the definition. Consistent with
established recommendations (e.g., Gehlbach and Brinkworth
2011), prior to our formal data collection efforts, 20 psychology
and management Ph.D. graduate students, with past training
and experiences with various scale development efforts, evalu-
ated construct definitions for accuracy and provided suggested
changes to the single-item measures (e.g., language complexity,
item clarity). Relevant changes were made as needed. Based on
this collected process, 91 constructs were identified for further
evaluation and validation (see Table 1).

Study 1

Demonstrating content validity is “an initial step toward con-
struct validation by all studies which use new, modified, or
previous unexamined measures” (Schriesheim et al. 1993, p.
385) and was the focus of study 1. Among suggested ways to
examine content validity (e.g., Anderson and Gerbing 1991;
Hinkin and Tracey 1999), we assessed definitional corre-
spondence, “the degree to which a scale’s items correspond
to the construct’s definition” (Colquitt et al. 2019, p. 1243).2
Per Hinkin and Tracey (1999), the only requirement for mak-
ing content validity judgments is “sufficient intellectual

2 We recognize that content validity is also often conceptualized in
terms of the degree to which a construct is accurately captured by the
item(s) included in a given measure. While we follow the example set
forth by Colquitt et al. (2019) in terms of examining definitional cor-
respondence as an indicator of content validity, in other literatures,
our approach might be evaluated as an examination of face validity.
As discussed by Allen et al., (2022, p. 1) though, “just as for multi-
item measures, it is critically important for single-item measures to
demonstrate face validity,” wherein face validity can be defined as the
“clarity or relevance” of an item or measure.
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ability to rate the correspondence between items and defini-
tions of various theoretical constructs, and the lack of any
pertinent biases” (p. 179). Thus, similar to Colquitt et al.
(2019), we leveraged a large sample of naive raters (work-
ing adults) given they are ideal for establishing estimates
of content validity because they are representative of sam-
ples where the measures might be administrated. Because
each item either included several content-relevant examples
based explicitly on the construct definition and/or presented
a revised version of the construct definition itself, per clas-
sification standards developed by Colquitt et al. (2019), we
predict that the majority of single-item measures will dem-
onstrate content validity as evidenced by naive raters’ evalu-
ations of definitional correspondence.’

Hypothesis 1 Single-item measures demonstrate acceptable
levels of definitional correspondence (i.e., definitional cor-
respondence estimates > 0.60).

Method
Participants and Procedure

Participants were recruited via Prolific.co. Only employed
US residents with a 98% or higher approval rating were
permitted to participate based on pre-established screeners
via Prolific; respondents were paid $2.85. Consistent with
established recommendations (Curran 2016; Huang et al.
2012), respondents who failed to correctly complete at least
three of four effortful responding questions were excluded.
We allowed respondents to miss one attention check item
given respondents may mistakenly miss one item but still,
generally, be attentive (Huang et al. 2012; McGonagle et al.
2016).

Of the 610 respondents, we excluded 19 for not meet-
ing inclusion criteria (i.e., not currently working) and
another 30 for failing multiple attention checks or for non-
sensical responses to open-ended questions. The analysis
sample (N=561) was 50.7% female, primarily Caucasian
(77.2%) with an average age of 34.7 years (SD=10.61) and

3 Colquitt et al. (2019) provide overall criteria with five levels
(Table 5 in their study). A definitional correspondence estimate of .91
and above is considered very strong, .87 to .90 is strong, .84 to .86
is moderate, .60 to .83 is weak, and .59 and below as lack of defi-
nitional correspondence. To be clear, we are not arguing that a defi-
nitional correspondence estimate of .60 to .83, which Colquitt et al.
again define as weak, is necessarily acceptable. Consistent with our
overarching argument for triangulating the validity of single-item
measures, the goal is to ensure content validity is demonstrated first
and foremost and then evaluated against other pieces of psychometric
evidence relative to the needs of a specific program of research.
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organizational tenure of 5.43 years (SD=35.51). On average,
respondents worked 37.09 h/week (SD=10.61).

As per Colquitt et al. (2019), respondents were asked to
evaluate how well a given item “matched” the construct’s
conceptual definition (i.e., definitional correspondence)
based on a 5-point scale (1 =Not at all to 5=To a very great
extent). For a given construct, respondents rated the pro-
posed single-item measure. Respondents also rated items
from a previously published multi-item measure of the focal
construct. Definitional correspondence ratings for existing
multi-item measures were collected for diagnostic purposes.

We administered all items for a given construct in a rand-
omized block. To manage response fatigue, we randomized
the presentation of the focal constructs, wherein only twenty
constructs were presented to each respondent. Respondents
completed a sample content evaluation exercise (with cor-
rective feedback) prior to engaging in the larger assessment.

Measures

Table 1 reports on all single-item measures. Construct defi-
nitions are reported in the Online Supplemental Materials
as are the multi-item reference measures.

Results

On average, each construct had 123 (SD = 10.34) definitional
correspondence estimates. To evaluate content validity as a
function of definitional correspondence, Colquitt et al. (2019)
provide overall criteria with five levels (Table 5 in their
study). To apply their criteria, we divided the definitional
correspondence estimate for each single-item measure by the
number of response options (a¢=5). For the multi-item meas-
ures, per Colquitt et al., we averaged definitional correspond-
ence estimates across the items in the scale divided by the
number of response options (a=5). Table 1 reports defini-
tional correspondence estimates; 39 measures demonstrated
very strong definitional correspondence (0.91 and above),
26 demonstrated strong estimates (0.87 to 0.90), fourteen
demonstrated moderate estimates (0.84 to 0.86), and twelve
demonstrated weak estimates (0.60 to 0.83). None demon-
strated a lack of definitional correspondence (0.59 and below)
suggesting that Hypothesis 1 is supported; the single-item
measures demonstrate definitional correspondence.

Supplemental Analyses

In the case of the previously published multi-item meas-
ures, only three demonstrated very strong definitional cor-
respondence, eight demonstrated strong estimates, fifteen
demonstrated moderate estimates, 62 demonstrated weak
estimates, and three demonstrated a lack of definitional

correspondence. In turn, we compared definitional corre-
spondence scores for the two approaches based on a paired-
sample z-test for each construct. Across the 91 constructs,
the multi-item construct demonstrated higher definitional
correspondence 3.3% of the time. There was no significant
observed difference for 14.3% of the constructs. Definitional
correspondence was significantly higher for single-item
measures for the remaining 82.4% of constructs.

Study 2

Collectively, 71.4% of the single-item measures demonstrated
strong or very strong content validity; while content validity
is only a piece of the validity puzzle, and definitional cor-
respondence is just one facet of content validity, evidence
from study 1 is encouraging. That said, a primary concern
with single-item measures is that while the selected item
itself may be content valid, that item may not fully capture
the entirety of the construct (i.e., have restricted content
adequacy; Hinkin and Tracey 1999). To overcome this issue,
single-item measures tend to be longer (i.e., in terms of word
count), present more content-relevant examples within the
item, and/or present a revised version of the construct defini-
tion. We applied all of these approaches to minimize issues of
construct deficiency in our single-item measures (Fuchs and
Diamantopoulos 2009). However, doing so runs the inherent
risk that the resulting measures are meaningfully complex or
difficult for respondents to understand, process, and respond
to in a thoughtful way (Peter 1979). The trade-off then is that
in addressing issues of construct coverage, single-item meas-
ures may engender respondent usability concerns.*
Readability is “the ease with which a reader can read and
understand text” (Oakland and Lane 2004, p. 244) and is
an item characteristic shown to influence reliability (Tou-
rangeau et al. 2020). Several factors contribute to text read-
ability (Dubay 2004), including, for example, the number
of words per sentence (Flesch 1948; Kincaid et al. 1975). In
practice, readability is often estimated based on the Flesch-
Kincaid method, wherein readability scores are reflective
of the US reading grade level required to effectively under-
stand a statement, phrase, or passage (Crossley et al. 2008);
specific to our study then, a higher readability score for a
given single-item would be indicative of that item being

* Please note that presenting multiple examples in an item does not
mean an item is necessarily double-barreled. Double-barreled ques-
tions ask about two distinct (i.e., divergent) “attitudinal” phenomena
wherein respondents provide only one answer (Olson 2008). Using
the word “and” in an item does not inherently make it a double-
barreled item. However, in the spirit of study 2, the use of multiple
examples (conjuncts) may increase the complexity and impact the
interpretability of single-item measures (Olson 2008).
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more complex or difficult to understand. Psychometricians
have encouraged scholars to use readability indices to help
simplify psychological assessments and to make the con-
tent easier to understand. Doing so promotes item appli-
cation across contexts and populations (e.g., different age
cohorts, educational levels), and reduces construct irrelevant
variance, such as g (Fowler 1995). We suggest that read-
ability provides an avenue to index and explain potential
respondents’ usability concerns. Respondents may experi-
ence usability concerns when answering single-item meas-
ures especially because, in trying to ensure content adequacy
(Hinkin and Tracey 1999), a given item may be too difficult
for respondents to understand and respond to. Thus, first,
we examined if respondents reported systematic response
difficulties with the measures. In turn, drawing on existing
work (Tourangeau et al. 2020), we would predict that items
with higher readability scores should result in more usability
concerns.

Hypothesis 2 More complex single-item measures (indexed
based on reading level) have more participant usability
concerns.

Method
Participants and Procedure

Participants were recruited by 47 students from a univer-
sity in Southern USA who distributed a standardized email
invitation to working adults they personally knew; students
received nominal course credit. To ensure a heterogeneous
sample, the only inclusion criteria were that respondents
be 18 years of age or older and working at least part-time.
Respondents were asked to complete the survey (online),
which included the single-item measures and basic demo-
graphics. If respondents did not feel a given item applied to
them, or felt unable to answer a given item, they were asked
to use a drop-down menu and indicate the reason.

A total of 421 respondents completed the survey; 29
indicated they were not working and were excluded. The
final sample (N=392) was 65.6% female, with an average
age of 38.21 years (SD =14.63) and organizational tenure
of 7.87 years (SD=9.07). On average, respondents worked
39.45 h/week (SD = 12.47), wherein 87.0% reported having
a direct supervisor, and 39.8% reported supervising other
employees. The sample was ethnically diverse with 69.4%
Caucasian, 17.3% African American, 2.6% Hispanic, 2.6%
Asian, and 4.1% identifying as multi-racial. Approximately
34.7% of the sample reported working something other than
aregular daytime shift. While 17.3% of respondents did not
report working in a work group, other respondents reported
working in a variety of work group contexts, such that 26.5%
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reported working in one work group; another 26.5% reported
not only working in one primary group, but also having a
secondary workgroup; and 29.3% reported working in more
than one workgroup.

Measures

The same 91 single-item measures (Table 1) were used.
Participants were first instructed, “If you can answer the
question, use the options below” and were presented with
the appropriate frequency or Likert scale. In turn, partici-
pants were instructed, “If you can't answer a question, please
use the drop-down to indicate why.” Four possible options
were presented: the item did not apply to them, the question
did not make sense to them, they could not decide how to
answer, and they could not remember (respondents could
only select one option). Participants were asked to consider
the past month when responding.

Results

Table 1 provides a summary of how often respondents
endorsed a reason they could not answer a given item and the
estimated reading level for each item (M =8.64, SD=3.76).
We applied the Flesch-Kincaid method for calculating grade
level within Microsoft Word, which is based on US reading
grade-level averages (Crossley et al. 2008).

Means, standard deviations, and bivariate correlations are
reported in the Online Supplemental Materials. Given sample
heterogeneity, it is not surprising that when respondents felt
they could not respond to an item, the most common reason
was that it did not apply to them; items referencing a supervi-
sor had higher endorsement of does not apply (e.g., leader
dominating conflict behaviors — 6.4%). More relevant to
usability concerns are the remaining response options. Only
two items had more than 1% of the sample indicate that a
question was confusing (i.e., deep acting — 2.3%; pessimism
of organizational change — 1.3%). Less than 1% of the sam-
ple endorsed could not decide how to answer or could not
remember for any given item. Respondents’ reports indicated
a minimal level of usability concerns across the single-item
measures, providing confidence in the comprehensibility of
the measures.

Specific to Hypothesis 2, reading level was not correlated
with endorsement rates for did not make sense (r=0.03,
p=0.78), could not decide how to answer (r=0.11, p=0.29),
or could not remember (r=0.17, p=0.11). Given respondents
could only select one option, but all three represent “usability”
concerns, we created a composite endorsement score — this
overall score was also unrelated to reading level (r=0.10,
p=0.37). Hypothesis 2 was not supported, likely because so
few usability concerns were observed.
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Supplemental Analyses

Given approximately 65% of our sample reported having at
least a bachelor’s degree, we examined if education level
influenced usability concerns such that the sample was split.
Group 1 (n=135) reported an education level as some col-
lege, but no degree, or less. Group 2 (n=253) reported an
education level of Associate’s or higher. For each respond-
ent, the number of usability concerns reported was summed
across the 91 items (the response option does not apply was
excluded). The independent samples #-test was not statisti-
cally significant [#(386) =0.253, p=0.80]; there was no dif-
ference in usability concerns reported by group 1 (M =0.19;
SD=0.81) compared to group 2 (M =0.17; SD=0.65).

Study 3

Once again, study 1 provides initial evidence for the content
validity of the single-item measures and study 2 suggests
that, other than items that are potentially population specific
(e.g., items that apply only to people with a supervisor),
usability concerns are limited at best. With this foundation,
we conducted study 3 to assess the reliability of the proposed
single-item measures. As noted though, given the nature of
single-item measures, the most commonly used index of reli-
ability, internal consistency, is not possible. Thus, schol-
ars have advocated the use of test—retest reliabilities in the
context of single-item measures (Sporrle and Bekk 2014;
Wanous and Hudy 2001). To provide a robust understanding,
we examined the test—retest reliabilities of the single-item
measures across three temporal conditions, over a 1-day lag,
a 2-week lag, and a 1-month lag such that these temporal
lags may represent conceptually distinct time units (Dor-
mann and Van de Ven 2014).

The most common procedure to index test—retest reliabil-
ity is Pearson’s r. However, there is limited guidance defin-
ing what is an “acceptable” Pearson r test—retest reliability.
As such, some have argued evaluating test—retest reliability
using intra-class correlation coefficient (ICC; wherein “0” is
indicative of no reliability and “1” is indicative of excellent
reliability) given evaluative ICC criteria have been estab-
lished. Thus, we calculated Pearson’s r and ICC test-retest
reliabilities (Koo and Li 2016) but leveraged existing ICC
guidelines for evaluating single-item test—retest reliabilities.’

Hypothesis 3 Single-item measures demonstrate acceptable
levels of test—retest reliability (i.e., ICC > 0.40).

3 Cicchetti (1994) suggests that ICC values greater than .74 indicate
excellent reliability, between .60 and .74 indicate good reliability,
between .40 and .59 indicate fair reliability, and below .40 indicate
poor reliability.

Method
Participants and Procedure

Participants were again recruited via Prolific (study 1
respondents were excluded from participating), wherein only
employed US residents with a 95% approval rating or higher
were permitted to participate. However, building on study
2 results, we screened respondents to have a supervisor by
using pre-established screeners within the platform to help
ensure items were applicable to all respondents. Participants
were informed that this was a two-part study. In part 1, based
on a between-person experimental design, respondents were
randomly assigned to one of the three time-unit conditions
(1-day lag, 2-week lag, and 1-month lag). Respondents were
invited back to complete part 2 of the study based on the
time-unit condition they were assigned. To match the tem-
poral lag for a given condition, conditions were formatted
the same except for the recall window that respondents were
asked to consider. Respondents were paid $1.50 and $1.25
for participating in the first and second survey, respectively.
Respondents who failed to correctly complete at least three
of four effortful responding questions (in either survey) were
excluded (Huang et al. 2012).

A total of 628 individuals responded to the initial survey;
45 were excluded for not meeting inclusion criteria (i.e., not
currently working or not having a supervisor). Another 32
were excluded for failing multiple attention checks, for non-
sensical responses to open-ended questions, or for not con-
senting to participate in the second study. Thus, we retained
an analysis sample of 551 respondents at time 1 (condition
1=180; condition 2=191; condition 3 =180).

Condition 1 (1-day lag) had a time 2 response rate of 82.4%
(N=155). We excluded eight respondents for either failing to
finish the survey or for missing multiple attention checks.
Also, given condition 1 was meant to replicate daily-diary type
research, another 20 respondents who indicated they did not
work on either day the survey was administered were excluded.
This resulted in an analysis sample of 127 of which 47.2% was
female, with an average age of 32.42 years (SD=9.50) and
organizational tenure of 4.49 years (SD=5.17). On average,
respondents worked 38.13 h/week (SD=9.59).

Condition 2 (2-week lag) had a time 2 response rate of
82.7% (N=158). We excluded three respondents for either
failing to finish the survey or missing multiple attention
checks. Another eight respondents were excluded because
they reported a major job change between survey admin-
istrations. This resulted in an analysis sample of 147 of
which 53.7% was female, with an average age of 33.80 years
(SD=9.90) and organizational tenure of 5.45 years
(SD=4.88). On average, respondents worked 37.93 h/week
(SD=10.20).
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Condition 3 (1-month lag) had a time 2 response rate of
70.2% (N=132). We excluded four respondents for either
failing to finish the survey or missing multiple attention
checks. Another six respondents were excluded because they
reported a major job change between survey administrations.
This resulted in an analysis sample of 122 of which 52.5%
was female, with an average age of 35.08 years (SD =10.28)
and organizational tenure of 5.14 years (SD =5.39). On aver-
age, respondents worked 39.37 h/week (SD =9.58).

No demographic differences were observed across the
three conditions for gender, age, organizational tenure, or
hours worked.

Results

We report means, standard deviations, and bivariate correla-
tions for all items in the Online Supplemental Materials for
each condition. ICC estimates (2-way mixed-effects model
with absolute agreement with type set as single measure-
ment), by condition, are reported in Table 1, followed by
Pearson’s r test—retest correlations. As Pearson’s r test-retest
correlations are the more common way researchers have
established test—retest reliability, we first examined the degree
to which ICC reliability estimates correlated with Pearson’s
r reliability estimates. In condition 1, the approaches cor-
related at 0.89 (p <0.001); in condition 2, they correlated
at 0.98 (»p<0.001) and at 0.98 (p <0.001) in condition 3 as
well. Results suggest that the two approaches result in similar
estimates of reliability; again though, the primary benefit of
ICC-based test-retest reliability estimates is the ability to
apply existing evaluative criteria (Cicchetti 1994).

In condition 1, four measures (4.4%) demonstrated excellent
reliability, 44 (48.4%) demonstrated good reliability, 38 (41.8%)
demonstrated fair reliability, and five (5.5%) demonstrated poor
reliability. In condition 2, ten measures (11.0%) demonstrated
excellent reliability, 53 (58.2%) demonstrated good reliability,
27 (29.7%) demonstrated fair reliability, and one (1.1%) dem-
onstrated poor reliability. And in condition 3, five measures
(5.5%) demonstrated excellent reliability, 25 (27.8%) demon-
strated good reliability, 51 (56.0%) demonstrated fair reliability,
and ten (11.0%) demonstrated poor reliability. In support of
Hypothesis 3, across the three conditions, 94.1% of the time
the focal constructs demonstrated an ICC test—retest reliability
above 0.40.

Supplemental Analyses

Once again, recognizing that no single piece of psychomet-
ric information is sufficient, we designed our research to
triangulate in on the construct validity of the proposed sin-
gle-item measures. Interestingly then, there was no relation-
ship between content validity (Table 1) and ICC test-retest
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reliability in any of three temporal lags (rcgpgition 1 = 0-08,
P=0.44; reongition 2= —0.01, p=0.92; reongition 3= —0.15,
p=0.16).

Study 4

Collectively, we have demonstrated that the single-item
measures show acceptable levels of content validity, limited
usability concerns due to issues of cognitive complexity, and
acceptable levels of test—retest reliability across three tempo-
ral conditions. Thus, in study 4, we first focus on investigat-
ing the degree to which the proposed measures demonstrate
construct validity and then turn our attention to the broader
issue of criterion validity.

Construct validity is defined as the “the correspondence
between a construct and a measure taken as evidence of the
construct” (Edwards 2003, p. 329). Within the single-item
measurement literature, scholars often seek to establish con-
struct validity by demonstrating that the proposed single-
item measure “loads” with items from an existing multi-
item measure of the same construct (e.g., Fisher et al. 2016),
wherein it is implicitly assumed that the multi-item measure
is a ““valid” measure of the construct. We apply this approach
to establish the degree to which the single-item measures
“tap into” the underlying conceptual construct.

Similar to Fisher et al. (2016), we conducted a series of
confirmatory factor analyses (CFA), one for each construct,
wherein the single-item measure for a given focal construct as
well as items from a previously published multi-item measure
for that construct (i.e., the same measures used in study 1)
were loaded on to the same latent factor. A standardized factor
loading can be considered as the extent to which the single-
item measure correlates with the corresponding conceptual
latent construct (McDonald 1999), evidencing construct valid-
ity; if a single-item measure failed to load significantly on
the latent factor (wherein the model, otherwise, demonstrated
good fit), that would suggest that the item does not tap into
the same construct, suggesting a lack of construct validity.

A benefit of using CFA models to examine construct
validity is that we can leverage existing recommendations
related to the interpretation of factor loadings (i.e., higher
factor loadings for the single-item measure is indicative of
higher construct validity for that item; Fisher et al. 2016).
Within the multi-item measurement literature, the generally
recommended minimum for interpreting factor loadings is
0.32; that is, albeit relatively poor, factor loadings between
0.32 and 0.44 demonstrate at least minimal construct valid-
ity (Comrey and Lee 1992; Tabachnick and Fidell 2013). By
extension, Comrey and Lee have argued that factor loadings
of 0.45 to 0.54 are fair, loadings of 0.55 to 0.62 are good,
loadings of 0.63 to 0.70 are very good, and loadings 0.71
and greater are excellent.
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Hypothesis 4 As an indicator of construct validity, single-
item measures load significantly on the underlying latent
factor with factor loadings > 0.32.°

Until this point, our focus has been on establishing “inter-
nal” psychometric characteristics of the proposed single-item
measures, that is, do they accurately and precisely measure
the construct of interest (Hughes 2018). This focus is inten-
tional given that demonstrating evidence of psychometric
accuracy and precision (i.e., content validity; response pro-
cess validity evidence; test—retest reliability evidence; struc-
tural evidence) is considered “an initial step toward construct
validation” (Schriesheim et al. 1993, p. 385). However, we
now turn to the broader issues of criterion validity, which is
established by demonstrating that the measure of an intended
construct (i.e., a proposed single-item measure) is related
to the measure of some other alternative constructs that
it should be related to, based on theoretical or conceptual
arguments. The issue at hand is that, based on classical test
theory, the magnitude of a criterion correlation cannot exceed
the product of the reliability indices (Schmitt 1996). And
given the pervasive argument in the literature that single-item
measures are somehow unreliable, it has been argued that
single-item measures have lower criterion related validity
compared to multi-item measures of the same construct (for
a relevant discussion, see Ziegler et al. 2014).

Beyond that, the concern over content adequacy (Hinkin
and Tracey 1999) is one of the most pervasive arguments
against the use of single-item measures. That is, by using
several indicators, multi-item measures are, conceptually,
better able to represent underlying construct space (Guion
1965; Thurstone 1947). Specific to criterion validity then,
the implication is that multi-item measures, by being “more
reliable” and by better capturing the construct, may dem-
onstrate more accurate and systematic relationships with
conceptual relevant alternative construct compared to sin-
gle-item measures (Cheah et al. 2018). Put another way, if
content adequacy and reliability are such pervasive prob-
lems across single-item measures, it may be unreasonable
to expect single-item measures to achieve the same level

6 To be clear, similar to Hypothesis 1, we are not advocating that sin-
gle-item measures demonstrating “poor” construct validity (i.e., load-
ings of .32 to .44) are necessarily valid. We set this minimum based
on accepted practices in the larger scale development literature. As
noted by Allen et al. (2022) though, standards applied to validating
single-item measures may be different than those used for multi-item
measures. Thus, depending on the construct under consideration, set-
ting more stringent minimums might be prudent. It should also be
recognized that using different multi-item measures of the same focal
construct might result in different construct validity estimates for a
given single-item measures. Again then, single-item construct valid-
ity evidence must be interpreted relative to other pieces of validity
evidence including content validity as well as the psychometric char-
acteristics of the comparative multi-item measure.

of criterion validity as multi-item measures. To date, stud-
ies examining the issue have generally demonstrated that
single-item measures do evidence criterion-related validity
(e.g., Cheah et al. 2018; Sporrle and Bekk 2014). However,
the majority of single-item measurement studies published
to date have focused on validating a single focal construct.
As such, there is a potential for a “file-drawer” problem to
exist such that scholars may have an overconfidence in the
approach because measures that do not evidence criterion
validity may not have been published (Allen et al. 2022).

Our focus on such a broad spectrum of constructs pro-
vides a unique opportunity to understand the degree to
which single-item measures demonstrate criterion validity,
especially relative to multi-item measures of the same con-
struct. Again then, returning to our guiding premise, while
we think many constructs in the organizational sciences can
be assessed with single-item measures, that does not mean
that all single-item measures will demonstrate the same level
of criterion validity as a reference multi-item measure of
the same construct. Beyond that, if single-item measures do
in fact demonstrate systematically lower criterion validity,
that would place a meaningful boundary condition on their
general utility to organizational scientists, irrespective of
how often they are used in other fields.

To examine this issue, we adopt Campbell and Fiske’s
(1959) multi-trait multi-method (MTMM) matrix approach
such that we examine the degree to which criterion valid-
ity relationships differ as a function of method of assess-
ment (i.e., single- vs multi-item measures of the construct).
For example, we would expect that a measure of abusive
supervision should be related to a measure of interpersonal
justice (Lian et al. 2012). The question is, within a MTMM
approach, does the single-item measure of abusive super-
vision correlate at approximately the same level with the
criterion construct, interpersonal justice, as the multi-item
measure of abusive supervision? To examine this issue more
concretely, we apply Raykov’s (2011) procedure for interval
estimation of convergent validity coefficients.

Research Question: To what extent do single-item measures
demonstrate criterion validity as compared to multi-item
measures of the same construct?

Method
Participants and Procedure

Given the potential for a loss in response quality during long
surveys (e.g., Bowling et al. 2021; Meade and Craig 2012),
it was not feasible to present all 91 single-item measures as
well as the corresponding multi-item measures (a total of 474
items, plus demographic questions) to all participants. Thus,
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participants were randomly assigned to complete approxi-
mately 1/3 of the single-item measures and 2/7 of the multi-
item measures. We used random assignment (instead of yoking
a given single-item measure to the multi-item measure for a
given construct) to examine issues of construct validity (i.e.,
Hypothesis 4) and criterion validity (i.e., Research Question)
within and across constructs. Because of this, a large sample
was needed to ensure adequate power for any possible combina-
tion of constructs.

Following study 2 protocols, participants were recruited
by 201 college students (there was no overlap in student
recruiters from study 2). Recruiters were solicited from
23 classes across 19 geographically dispersed universities
in the USA. Initially, 1444 respondents were recruited;
we excluded 71 who did not meet inclusion criteria and
another 52 who did not finish the survey. The final sam-
ple (N=1321) was 59.4% female, with an average age
of 35.5 years (SD=15.59) and organizational tenure of
6.5 years (SD=28.04). On average, respondents worked
40.6 h/week (SD=11.97), wherein 37.2% reported supervis-
ing other employees. The sample was ethnically diverse with
58.4% Caucasian, 13.1% African American, 9.5% Hispanic,
6.4% Asian, and 6.0% identifying as multi-racial (another
4.2% declined to respond). A third of the sample (34.1%)
reported working something other than a regular daytime
shift. While 18.8% of respondents did not report working in
a work group, other respondents reported working in a vari-
ety of work group contexts, such that 24.1% reported work-
ing in one work group, another 34.5% reported working in
one primary group but also having a secondary workgroup,
and 22.3% reported working in more than one workgroup.

Measures

Table 1 reports on all single-item measures, and the same
multi-item measures from study 1 were used (see Online
Supplemental Materials for more information). Multi-item
measures with negatively worded items were reverse coded.
We report internal consistency reliability estimates for the
multi-item measures in Table 2.

Results

Means, standard deviations, and bivariate correlations for
all construct, for both approaches, are reported in the Online
Supplemental Materials.

Construct Validity

To examine issues of construct validity (Hypothesis 4), we

conducted 91 CFA models (Mplus; Muthén and Muthén,
2018), one for each construct. All items from the multi-item
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reference construct were set to load on a single factor, as was
the single-item measure for that construct. Given respond-
ents were randomly assigned to complete a subset of single-
item and multi-item measures, listwise deletion was applied
to ensure respondents completed both the single-item and
multi-item measure of the focal construct.

Table 2 includes a summary of CFA results. Overall, the
models demonstrated acceptable fit (Hu and Bentler 1999);
the poorest fitting models were for autonomy climate and
perceived contract breach.” In support of Hypothesis 4, the
proposed single-item measure significantly loaded (5 >0.32
and p <0.05; Table 2) on the underlying latent factor (in the
correct direction) for 84 of the 91 constructs. Three single-
item measures (work hypercompetitive, performance goal
orientation, and face-time orientation) loaded significantly,
but their standardized factor loadings were less than 0.32.
Another three (efficiency climate, extrinsic motivation, and
task interdependence) did not load significantly, and one
(normative commitment) loaded significantly, but in the
opposite direction. Based on established criteria (Comrey
and Lee 1992), 33 single-item measures demonstrated excel-
lent construct validity (36.3%), 17 demonstrated very good
construct validity (18.7%), 13 demonstrated good construct
validity (14.3%), 17 demonstrated fair construct validity
(18.7%), four demonstrated poor construct validity (4.4%),
and seven failed to demonstrate construct validity (7.7%).2

Criterion Validity

To examine issues of criterion validity, we adopted a
MTMM matrix approach (within Mplus, based on syntax
from Raykov 2011), wherein we included both single- and
multi-item measures of the focal construct (e.g., abusive
supervision) and the criterion construct (e.g., interpersonal
Jjustice; again, both the single- and multi-item measures were
included, albeit we focus on the multi-item measure of the
criterion construct). In turn, based on Raykov, we estimated
the confidence interval of the correlation difference between

7 These two multi-item measures included negatively worded items.
Autonomy climate ()(2(5)=83.04, p<.001, CFI=.83, SRMR=.07)
and perceived contract breach ()(2(5)=110.48, p<.001, CFI=.89,
SRMR =.08) both continued to demonstrate poor fit when the respec-
tive single-item measure was excluded and the CFA model re-esti-
mated; the poor fit seems to be a function of the multi-item measure,
not because of single-item measure.

8 Another way to evaluate construct validity is to examine the bivari-
ate correlation between the two measurement approaches. As such,
the bivariate correlations between the single-item and multi-item
reference measure, for each construct, are reported in Table 2. The
average construct validity correlation across the 91 constructs was .58
(SD=.19). Interestingly, across the 91 constructs, single-item CFA
factor loadings correlated at .97 (p <.001) with the observed bivariate
correlations between the single-item and multi-item construct meas-
ures suggesting that the two approaches for establishing construct
validity are effectively equivalent.
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multi-item measure of the focal construct was more strongly
correlated to the criterion measure (Table 2) than the single-
item measure of the focal construct. In approximately 7%
of these analyses, the convergent validity estimate for the
single-item measure of the focal construct was more strongly
correlated to the criterion measure (denoted in italics in
Table 2) than the multi-item measure. For the remaining
81.3%, there was no meaningful difference in the convergent
validity coefficients, suggesting that, yes, the single-item
measures demonstrate criterion validity that is generally
comparable to multi-item measures of the same construct.

That said, per Smith et al. (2000) in their discussion of
short-form measures, another way to conceptualize our
Research Question is in terms of choosing “the best bal-
ance between time-resource savings and loss of validity”
(p- 110). That is, scholars may be willing to “trade” (i.e.,
accept) some reduction in, for example, criterion validity,
in return for a short measure that (a) places less burden on
respondents (assuming the shorter measure is still reliable
and content valid; Smith et al. 2000) while (b) still defensi-
bly measuring the construct of interest” (Cortina et al. 2020).
Thus, we examined the omnibus reduction in criterion valid-
ity. That is, while 81.3% of the 273 relationships examined
above were not statistically different, there could still be a
meaningful downward bias (this in addition to the 12% of
relationships where criterion validity was statically stronger
for the multi-item measures). Collectively then, as a meas-
urement approach, there could be systematic loss in criterion
validity when single-item measures are used over multi-item
measures of the same construct. To examine this issue, we
computed the average difference between the two convergent
validity estimates (i.e., for the single- vs multi-item measure)
across the 273 comparisons reported in Table 2. On average,
the observed convergent validity estimates for single-item
measures was 0.02 (SD=0.15) lower than for convergent
validity estimates for multi-item measures. That is, while
there is considerable variability for given constructs, in
using a single-item measure, on average, researchers are
“trading away” 0.02 in criterion validity (at least based on
the data examined in study 4).

Collectively then, it is important to recognize that the
observed criterion validity results are two-sided. On the one
hand, as a general approach, using single-item measures
may not result in “trading away” criterion validity. How-
ever, when zeroing in on a given construct, switching from a
multi-item measure to a single-item approach might result in

% Relatedly, in an effort to reduce the trade-off between the number
of items in the scale length and the scale quality, Cortina et al. (2020)
have developed a procedure that aims to optimize the scale qual-
ity (e.g., alpha reliability coefficient, part-whole correlations) of the
resulting shortened scale by analyzing all possible sets of items drawn
from the full scale.

significant reduction in criterion validity. As such, again, we
stress that our results should not be interpreted as suggesting
all construct can or should be measured with a single-item
measure — such decisions must be made on a construct-by-
construct basis.

Supplementary Analyses

There is a standing tradition of estimating a “consistency”
reliability for single-item measures based on item com-
munalities, wherein scholars square the standardized CFA
factoring loading of single-item measures (i.e., Hypothesis
4; see Sporrle and Bekk 2014). In Table 2, we report the
consistency-based reliability for each single-item measure
based on this “communality” approach (Wanous and Reich-
ers 1996; Wanous et al. 1997). However, it is important to
recognize that this estimate is dependent on the multi-item
measure used (Sporrle and Bekk 2014); if the multi-item
measure used is deficient in some way (either conceptually
or psychometrically), it will influence the estimated consist-
ency-based reliability of the single-item measure. For exam-
ple, Sporrle and Bekk demonstrated that the more items in
the multi-item reference measure, the lower the single-item
measure consistency-based reliability. To this end, we con-
ducted a series of analyses based on the content validity
evidence from study 1 and the psychometric information for
both measurement approaches in study 4.

Content validity estimates for the multi-item measures
positively correlated with estimates of internal consistency
(r=0.34, p <0.001); the more content valid raters perceived
the items in the multi-item measure, the more likely people
were to respond to those items in an internally “consist-
ent” way. In turn, multi-item measure internal consistency
estimates correlated at 0.39 (p <0.001) with the single-item
consistency-based reliability estimates. With that in mind,
we applied Hayes’ (2018) PROCESS procedure and deter-
mined that multi-item content validity had an unstandardized
indirect effect of 0.29 (95% CI: 0.07, 0.56) on single-item
consistency-based reliability by way of the internal consist-
ency estimate for multi-item measures. The implication is
that applying multi-item measures with weaker psychomet-
ric characteristics can result in an underestimation of con-
sistency-based reliability estimates for single-item measures.

Study 5

Study 4 results suggest that, generally speaking, many of the
proposed single-item measures demonstrate acceptable con-
struct validity, such that they “load” with items from multi-
item measures of the same construct. In turn, the single-item
measures demonstrated criterion validity that was compa-
rable to multi-item measures of the same construct, with
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minimal downward bias (loss) in criterion validity (Smith
et al. 2000). Combined with results from studies 1-3, in
Table 3, based on our collective evidence, we provide an
overarching evaluation of the triangulated reliability and
validity evidence for the single-items measures. '’

Four measures demonstrated no validity in that these
measures had limited to low content validity, some usabil-
ity concerns, lower test—retest reliability, and limited cri-
terion validity. On the other hand, 56 measures demon-
strated very good validity in that they evidenced moderate
to high content validity, no usability concerns, moderate to
high test-retest reliability, and extensive criterion validity.
Beyond that, another 19 measures demonstrated extensive
validity; these measures evidenced high content validity, no
usability concerns, systematically high test-retest reliability,
and extensive criterion validity. With this evidence in mind,
we now seek to pivot and take a forward-looking perspective
on the application of single-item measures.

As noted, there is a host of work discussing under what
conditions the use of single-item measures is appropriate.
Perhaps the most influential treatment of this issue, in part
because of the checklist provided, is the work by Fuchs and
Diamantopoulos (2009). A core premise put forth by Fuchs
and Diamantopoulos and others (e.g., Rossiter 2002, 2008)
is that as construct breadth increases, single-item measures
become less reliable and valid. This is because single-item
measures require respondents to assess the overall construct,
and as the construct becomes conceptually broad and com-
plex, they are likely to interpret the construct ambiguously
and to ignore essential aspects of the construct when answer-
ing the single-item measure (Fuchs and Diamantopoulos
2009). In this case, multi-item measures help respondents
assess essential aspects of a construct and researchers can
subsequently combine item-level responses to capture their
overall standing on the underlying construct (Fuchs and Dia-
mantopoulos 2009).

10 We established construct validity evaluations based on a point sys-
tem; we assigned points based on content validity (i.e., 1 point: content
validity <.69, 5 points: content validity >.90), amount of usability con-
cerns (i.e., 1 point: systematic usability concerns, 4 points: no meaning-
ful usability concerns), average ICC test—retest reliability scores (i.e., 1
point: ICC< .40, 4 points: ICC>.74), construct validity (i.e., O points:
CFA factor loading <.32, 5 points: CFA factor loadings >.70), and cri-
terion validity (i.e., 1 point: limited to no evidence of criterion valid-
ity, 5 points: systematic evidence of criterion validity). We then com-
puted an average across these different pieces of reliability and validity
(scores ranged from 1.67 to 4.47). Constructs with scores greater than
4.00 were evaluated as having extensive construct validity, constructs
between 3.00 and 3.99 were evaluated as demonstrating very good
construct validity, constructs between 2.70 and 2.99 were evaluated
as demonstrating good construct validity, constructs between 2.25 and
2.69 were evaluated as demonstrating limited construct validity, and
constructs less than 2.25 were evaluated as demonstrating no construct
validity. Additional information is available upon request.

@ Springer

Constructs can be evaluated as existing along a construct
complexity continuum (Fuchs and Diamantopoulos 2009;
Rossiter 2002), where at one end, constructs are conceptu-
ally narrow (i.e., simple, unidimensional). At the other end are
constructs that are more complex, or conceptually broad (e.g.,
multi-dimensional). As constructs become simpler (i.e., nar-
rowly defined), the general argument is that fewer items are
needed to adequately represent the conceptual space of a given
construct (Allen et al. 2022). On the other hand, as constructs
become more complex or conceptually broad, more distinct
content (and items representing that content) is needed to
appropriately represent each aspect of the construct (Fuchs and
Diamantopoulos 2009). For purposes of contextualization then,
it is here where much of the resistance to single-item measurers
originates in the journal review process, wherein reviewers and
journal editors will indicate the perspective that a given con-
struct is foo broad or complex to be assessed with a single-item
measure based on the conceptual definition of the construct.

Implicitly then, if scholars develop a thorough understand-
ing of a given construct’s conceptual breadth, they will be
well positioned to know if that construct can be assessed with
a single-item measure. As noted previously though, to our
knowledge, there is no established procedure for estimating
the degree to which a construct is “broad” versus “narrow.”
Again, scale authors are generally encouraged to rely on their
“professional judgement” (Gehlbach and Brinkworth 2011,
p. 383) when deciding on the number of items needed to
effectively represent a construct, relative to the conceptual
breadth of the target construct (Hinkin 1998). For this reason,
rather than using potential construct breadth as a criterion for
deciding which construct to include in the current program
of research, we take an approach to empirically assess the
level of conceptual breadth of constructs and examine how it
relates to the reliability and validity of single-item measures.
Specifically, in study 5, we leverage subject matter expert
evaluations of construct breath and seek to empirically exam-
ine the potential boundary conditions that construct complex-
ity places on the application of single-item measures. Based
on the established arguments (e.g., Fuchs and Diamantopou-
los 2009), we predict the following:

Hypothesis 5 Construct breadth (indexed based on subject

matter expert ratings) is negatively related to reliability and
validity evidence for single-item measures.

Method
Participants and Procedure
A total of 103 subject matter experts (SMEs) were recruited

directly by the study authors, as well as by placing a request
to participate via a research listserv (respondents were also
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Table 3 Triangulated single-item validity evaluations with SME construct breadth rating (study 5) reported in parenthesis

Extensive validity

Abusive supervision (2.58)
Emotional fatigue (2.18)

Loneliness (2.60)

Perceived leader effectiveness (3.70)
Prosocial identity (2.54)

Supervisor competence (2.95)

Very good validity

Authoritarian leadership (2.36)
Career satisfaction (3.08)
Competitive goals (3.11)
Cooperative orientation (2.50)
Distributive justice (2.42)
Goal-focused leadership (2.15)
Intuitive decision-making style (2.65)
Leader avoidant conflict behaviors (2.25)
Learning goal orientation (2.72)
Negative effort-reward imbalance (2.75)
Ostracism (2.33)

Person-organization fit (3.33)
Prosocial motivation (2.54)
Relationship conflict (3.18)
Rumination (negative) (2.04)

Surface acting (2.12)

Team workload sharing (2.94)

Trust in supervisor (2.81)

Work frustration (2.22)

Good validity

Formalization climate (4.00)

Limited validity

Competitive orientation (2.30)
Extrinsic motivation (3.07)
Performance goal orientation (2.54)
No validity

Deep acting (2.14)

Affective commitment (2.10)
Innovation climate (2.94)

Meaning (3.83)

Perceived organizational support (3.50)
Quantitative workload (2.14)
Supervisor warmth (2.50)

Welfare climate (3.79)

Autonomy climate (2.80)

Climate for civility (3.00)

Cont. commitment-low alternatives (1.39)
Daily work hassles (3.21)

Emotional demands (2.67)
Informational justice (1.97)

Job Insecurity (2.00)

Leader collab. conflict behaviors (2.55)
Meeting effectiveness (2.71)
Organizational politics (4.00)
Perceived contract breach (2.74)
Physical fatigue (2.44)

Quality of group experience (3.31)
Resources (4.38)

Self-initiated work breaks (1.76)

Task conflict (2.54)

Time pressure (1.96)

Unreasonable illegitimate tasks (2.64)
Work pressure (2.73)

Managerial responsibility stress (2.92)
Cont. commitment — high sacrifices (1.55)
Family motivation (2.62)

Pessimism of organizational change (2.64)

Face-time orientation (3.00)
Task interdependence (2.21)

Coworker trust (2.54)

Interpersonal justice (2.46)

Mental fatigue (2.62)

Preference for group work (2.47)
Subjective monotony (1.89)
Unnecessary illegitimate tasks (2.41)

Bureaucracy (3.42)

Cognitive demands (3.04)
Cooperative goals (3.07)
Demands-abilities job fit (3.26)
Family authenticity (2.77)
Intrinsic motivation (2.46)

Job self-efficacy (2.46)
Leadership self-identity (2.47)
Needs-supplies job fit (3.40)
Organizational reputation (3.80)
Perceived overqualification (2.40)
Procedural justice (2.07)

Rational decision-making style (2.63)
Role conflict (2.79)

Subjective stress (3.75)

Team self-management (2.65)
Training climate (3.53)

Work authenticity (2.90)

Perspective-taking (2.52)
Efficiency climate (3.27)
Leader domin. conflict behaviors (1.80)

Work hypercompetitive (2.17)

Normative commitment (2.04)

Extensive validity: high content validity, no usability concerns, systematically high test—retest-reliability, extensive criterion validity. Very good
validity: moderate to high content validity, no usability concerns, moderate to high test-retest-reliability, extensive criterion validity. Good valid-
ity: moderate content validity, limited usability concerns, moderate test-retest-reliability, systematic criterion validity. Limited validity: low to
moderate content validity, limited usability concerns, low to moderate test-retest-reliability, systematic albeit weaker criterion validity. No valid-
ity: limited to low content validity, some usability concerns, low test-retest-reliability, poor criterion validity

asked to forward the request to participate to other research-
ers). Approximately two-thirds of the SMEs (65.1%) held a
Ph.D. or other professional degree (e.g., JD, MD); the remain-
ing third were graduate students. Approximately three-fourths
of the sample (75.6%) reported that their academic training
was in industrial/organizational psychology. On average,
SMEs had published 21.7 (SD =28.12) academic manuscripts

with half of all SMEs having previously been involved in pub-
lishing scale development and/or scale validation work.
SMEs were first presented with background information
around the concept of construct breadth. Specifically, SMEs
were informed that construct breadth exists along a con-
tinuum and that “‘Broad’ constructs, based on their concep-
tual definition, have a large content space. Broad constructs
are sometimes referred to as complex, abstract, fuzzy, or
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large bandwidth constructs.” In turn, they were informed
that, “‘Narrow’ constructs, again based on their conceptual
definition, have a smaller content space. Narrow constructs
are sometimes referred to as concrete, focused, simple, or
narrow bandwidth constructs.” Based on the constructs’ defi-
nitions from study 1, SMEs were then randomly presented
with 30 constructs to evaluate.

Measures

After reading a randomly assigned construct definition, SMEs
were asked to make three judgments: construct familiarity,
definitional adequacy, and construct breadth. To measure
construct familiarity, they were asked, “How familiar are you
with this construct?”” Responses were made on a 5-point scale
(i.e., 1 =Not at all, 5= Extremely). To measure definitional
adequacy, they were asked, “Does this conceptual definition
adequately represent the construct?” Responses were made
on a 5-point scale (i.e., 1 =Poor, 5=Excellent). To measure
construct breadth, SMEs were asked, “To what degree do you
think this is a conceptually narrow construct or a conceptually
broad construct?” Responses were made on a 5-point scale
(i.e., 1 =Very narrow, 5= Very broad).

Results

To better ensure accuracy of SME judgments regarding the
adequacy of a given construct definition, and evaluations
of construct breadth, we only retained respondents who
indicated they were at least somewhat familiar (i.e., 3.00 or
above) with the given construct for analysis purposes; on
average, each construct was evaluated by 20.78 (SD =6.58)
SMEs.

All constructs were evaluated by SMEs as having at least
good definitional adequacy (3.00 or above); the average
definitional adequacy rating was 3.90 (SD =0.28) with com-
plete details reported in the Online Supplemental Materi-
als. Table 3 includes SME construct breath ratings, wherein
ratings ranged from 1.39 for Continuance commitment-low
alternatives to 4.40 for Resources; the average construct
breadth rating was 2.71 (SD =0.58).

To test Hypothesis 5, we ran a series of correlations
between SME construct breadth ratings and reliability and
validity information collected from studies 1-4. SME con-
struct breadth ratings were unrelated to single-item content
validity ratings from study 1 (r=0.00, p=0.991) and were
unrelated to the summated usability issues score from study
2 (r=0.03, p=0.746). SME construct breadth ratings were
also unrelated ICC test-retest reliabilities from study 3 (con-
dition 1, »r=0.00, p=0.974; condition 2, r=0.16, p=0.125;
condition 3, r=0.10, p=0.358). From study 4, there was
no relationship between SME construct breadth ratings

@ Springer

and single-item construct validity estimates based on the
observed CFA factor loading (r=0.09, p=0.370). There
was also no relationship (r=0.13, p=0.238) between SME
construct breadth ratings and convergent validity estimates
(i.e., the degree to which scores across the two measurement
approaches correlated for the same given construct).

Finally, we examined if broader constructs, based on
SME ratings, resulted in a greater downward bias in criterion
validity scores. As a reminder, per study 4 (and reported in
Table 2), three criterion estimates were generated for each
construct. Within each construct, for each comparison, the
multi-item criterion validity estimate was subtracted from
the single-item criterion validity estimates. In turn, the three
comparisons were averaged to create an overall score. For
example, across the three criterion comparisons for abusive
supervision, there was an overall downward bias of 0.03.
Across the 91 constructs, there was no relationship between
differences in overall criterion validity and construct breadth
(r=0.20, p=0.058).""!

There is an important issue that should be considered
though when interpreting these results. While SME con-
struct breath ratings ranged from 1.39 to 4.40, as we noted
when describing our construct selection process, we inten-
tionally disqualified constructs that had inconsistent concep-
tual definitions in the literature when selecting constructs
for the current research. Doing so may have resulted in con-
struct breadth range restriction in that there may be more
inconsistency in defining “broader” constructs (e.g., Casper
et al. 2018). This range restriction may have influenced the
nature of our results and may serve as an important area for
future research.

General Discussion

Through this evidence-based program of research, we dem-
onstrate that, yes, for many constructs, single-item measures
are a reliable and valid measurement approach. Put another
way, the majority of the single-item measures under con-
sideration here were both reliable and valid measures of
the underlying construct based on a systematic triangula-
tion methodology. It is clear then, moving forward, that it
is incumbent on researchers and reviewers alike to evaluate
the application of single-item measures in a given context
and not rely on subjective biases about their generalized
reliability and validity. The use of single-item measures is
not an inherent indicator of a weak research design, nor are
researchers inherently trading away validity for convenience.
To be clear, our results do not support the argument that all

' There was also no relationship between SME ratings of construct
breadth and the final triangulated construct validity level reported in
Table 3 (r=0.15, p=0.14).
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constructs can be measured with single-item measures, nor
that all single-item measures are valid. As research in the
organizational sciences expands and evolves, the application
of single-item measures within a given study should be eval-
uated relative to the challenges their use might help address.
Admittedly, this is not a new recommendation given that a
list of conditions under which single-item measures may
work appropriately has been offered in the literature (e.g.,
Fuchs and Diamantopoulos 2009). However, our research
further contributes to the literature by providing the most
comprehensive evidence-based review of the issue to date
(Allen et al. 2022).

More practically, we provide a compendium of single-
item measures that researchers can draw on without sacri-
ficing their ability to validly assess the relevant constructs.
Collectively, these measures seem particularly well-suited
to help scholars address a myriad of conceptual, method-
ological, and empirical challenges within their research.
Below we highlight some of our primary findings with an
eye towards what our findings mean in terms of the applica-
tion of single-item measures. In turn, we outline a general
process for researchers to leverage when developing and
validating single-item measures. We then consider limita-
tions and additional future research directions related to our
program of research.

Primary Findings

Perhaps one of the most surprising findings was how few
of the single-item measures demonstrated usability con-
cerns. Given single-item measures may be more cognitively
demanding (given their length, and restatement of construct
definitions), we had anticipated observing systematic usa-
bility concerns for at least some items, wherein the read-
ing level of a given item may help explain those possible
usability concerns; however, systematic usability concerns
did not manifest.

Although classic wisdom suggests simpler, less cogni-
tively demanding items are better, empirical work in edu-
cational and employment testing on subgroup differences
as a function of the readability of test items offers a more
nuanced story (Freedle 2003; Freedle and Kostin 1992,
1997; Scherbaum and Goldstein 2008). It is interesting
then to consider our finding that items with higher read-
ing levels demonstrated lower test-retest reliability across
the three conditions. While beyond the scope of the cur-
rent research, it may be that these more complicated items
(Fowler 1995) resulted in greater specificity (i.e., reduced
ambiguity) and increased accuracy in assessing change over
time resulting in lower test-retest reliabilities. To this end,
reading level and content validity estimates were positively
correlated (r=0.24, p=0.02) potentially suggesting that

more complicated items are more accurately tapping into
the construct (Guion 1965).

Abstracting these findings, we would argue that the con-
struction of single-item measures is an artful balancing act
of two inter-related factors. First, it is necessary to construct
single-item measures that reduce ambiguity to ensure that
the items are consistently understood, while still being con-
tent valid. Beyond that, items must be written to ensure all
participants have access to the information needed to answer
the question accurately. These efforts may inherently mean
increasing readability scores by providing additional, nec-
essary detail (through more words and/or more complex
sentence structures). While there were no meaningful dif-
ferences in usability concerns based on reading level, we
would encourage researchers to continue to consider if issues
like age and language proficiency (Tourangeau et al. 2020)
influence the utility of single-item measures across different
populations.

Returning to a previous point, while certainly efforts can
be undertaken to refine and reduce the cognitive demand
of single-item indicators (e.g., reduce word length, reading
level) in hopes of optimizing reliability, we are left ques-
tioning whether there is potential risk in over-indexing on
test—retest reliability as an indicator of the validity and utility
of a single-item measure. Consider the single-item meas-
ure of supervisor interpersonal justice, “My supervisor was
generally respectful and polite when discussing work related
issues with me.” Despite the item’s very strong definitional
correspondence relative to its multi-item counterpart (0.91
and 0.83, respectively), this item’s relatively high reading
level (13.4) and marginally acceptable test—retest reliabil-
ity (0.59, 0.71, 0.41, across conditions, respectively) may
be deemed problematic by some. However, these reliabil-
ity indices may be interpreted as advantageous, indicating
the item’s sensitivity to detect true score (episodic) change
in perceptions of supervisors’ interpersonal justice behav-
iors over time. To this end, it is important to recognize that
numerous factors have been shown to influence the reli-
ability of survey responses, including respondent charac-
teristics (e.g., education, conscientiousness, household
income), item-level characteristics (e.g., social desirability
concerns), and temporal lag (e.g., Tourangeau et al. 2020).
More research on the interaction of these various issues in
the context of single-item measurement appears warranted.

Turning to our criterion-related validity evidence, the uni-
fied validity model, wherein content, construct, and criterion
validity are inseparable (Messick 1995), is contested and
in turn, scholars have advanced reconfigured guidelines for
validating psychometric measures (see Hughes 2018). For
example, in Hughes’ (2018) two-step model, psychometric
developers are charged with answering two fundamental
psychometric questions sequentially: “am I measuring what
I want to measure?”, as supported by content, response

@ Springer



668

Journal of Business and Psychology (2022) 37:639-673

process, and structural evidence, and “is my measure use-
ful?” as supported by convergent, discriminant, and con-
current validity evidence, among other types of evidence
(Hughes 2018, p. 752). Guided, in part, by this approach
to validation, we assessed whether our measures met or
exceeded the criterion-related validity of their multi-item
measure only once sufficient validity evidence was accumu-
lated regarding the single items’ accuracy and reliability in
measuring their intended construct.

While programmatic and apparent from the logic of this
paper, explicitly acknowledging this decision sets an impor-
tant backdrop for interpreting the MTMM matrix findings
reported in study 4, whereby approximately 88% of the cri-
terion-related validity estimates for the single-item measure
were comparable or exceeded criterion-related validity esti-
mates of their multi-item measure counterparts. The robust
criterion-related evidence for the single-item measures pro-
vides a compelling counterargument against those who say
that the ceiling of single-item measures’ criterion-related
validity is inferior to their multi-item measures counterparts
due to lower (a) reliability (Ziegler et al. 2014) and (b) con-
tent adequacy (Cheah et al. 2018). Instead, our findings sug-
gest that intentional and rigorous development, refinement,
and psychometric testing of single-item measures in ways
that maximize reliability and content adequacy can yield
criterion validity estimates for single-item measures that are
comparable to multi-item measures.

Finally, specific to study 5, it is genuinely surprising that
there appears to be no systematic relationship between SME
evaluations of construct breadth and reliability and validity
evidence, at least based on the 91 constructs examined here
and the empirical evidence from studies 1 through 4. This
result is inconsistent with researchers’ (e.g., Fuchs and Dia-
mantopoulos 2009) suggestions that single-item measures
may be inappropriate to capture constructs that are concep-
tually broad, fuzzy, and complex because single-item meas-
ures of these constructs may be ambiguously interpreted
without consideration of each of the essential facets of the
constructs.

We see these (lack of) findings as a double-edge sword.
On the one hand, it seemingly reinforces the argument that
single-item measures are more applicable than is commonly
accepted in the literature to date. That is, if researchers can
provide sufficient reliability and validity evidence for a sin-
gle-item measure for a given construct, that evidence should
be evaluated, seemingly, irrespective of the over conceptual
complexity of the construct. However, again, researchers
are advised against arguing that just because a construct is
“conceptually narrow,” it is possible to develop a single-item
measure of that construct — reliability and validity evidence
must still be collected and presented, even for conceptually
narrow constructs.

@ Springer

Admittedly, independent of whether the construct is
conceptually broad and/or narrow, there is risk (by virtue
of item content/phrasing) that the holistic interpretation of
its single-item measure differs from that of its multi-item
counterpart, but our results suggest this risk is not more
prevalent with broad constructs (as may be expected with
more broad constructs having more conceptually divergent
item content across the multi-item measure set). However,
there may exist, beyond SME evaluations, other methods to
index construct breadth that may result in a more nuanced
understanding of the potential boundary conditions it cre-
ates. We see this as a potentially fruitful area of research,
both in terms of not only single-, but also, multi-item meas-
ures given the lack of concrete advice around the number of
items needed to “validly” assess a construct.

Recommended Process to Validating Single-ltem
Measures Based on Lessons

An additional contribution to the literature from our program
of research is the provision of a template others may lever-
age when (a) validating new single-item measures as well as
(b) accumulating additional structural and external validity
evidence to support inferences drawn from the single-item
measures herein (Flake 2021; Flake and Fried 2020). As
noted by Aguinis et al., (2021), “many published articles
in management and related fields do not include sufficient
information on precise steps, decisions, and judgment calls
made during a scientific study” (p. 679). Thus, in the interest
of transparency, we outline general steps others may wish to
consider, informed by lessons learned while conducting this
program of research.

First, while seemingly obvious, we encourage care to be
taken to understand the conceptual definition of a construct.
What became abundantly clear in our initial work was that
there are many subtle and sometimes glaring differences in
how many constructs are defined; consider, over 100 con-
ceptual definitions exist for work-family balance (Casper
et al. 2018), wherein different definitional approaches can
lead to meaningfully different results (Wayne et al 2022).
While subtle differences in defining a construct can be
accounted for, without a firm understanding of the con-
ceptual construct, it is difficult to develop a valid measure
of that construct. Thus, while a construct like work-family
balance may be on the extreme end, it was not the only con-
struct excluded for poor conceptual clarity. We echo the call
by others (e.g., Stone-Romero 1994) to avoid wasting time
and effort by ensuring that the conceptual underpinnings of
a construct are understood before engaging in scale develop-
ment work.

From this conceptual understanding, it is time to write
an item. Needless to say, there are a host of referred works
that provide excellent recommendations for writing items
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(e.g., Fowler and Cosenza 2009; Haladyna and Rodriguez
2013; Robinson and Leonard 2018) as well as ensuring those
items are evaluated for conceptual disconnects (e.g., Hughes
2018). With those resources in mind, specific to writing
single-item measures, we would encourage researchers to
proactively consider both the response scale and associ-
ated recall window. For our purposes, we selected either
a frequency or agree-disagree format. A particularly sali-
ent issue during the item writing process was the number
of constructs that could be assessed with either response
scale, with only minor wording revisions. We relied on the
construct definition to provide guidance, conceptually, in
terms of the appropriate response scale. However, as per
ongoing discussions around addressing issues of common
method variance (i.e., Spector et al. 2017), we would encour-
age researchers to choose a response scale (e.g., frequency,
extent) that is considered to best fit with the nature of each
item and to allow for multiple different response scales
across items, as a potential solution to common method
variance.

Once developed, it is necessary to implement a valida-
tion strategy, a process as much art as science. We encour-
age scholars to demonstrate the validity of their single-item
measure through triangulation, focusing on types of validity
that make the most sense relative to the construct(s) under
consideration. We emphasized definitional correspond-
ence, however, per Colquitt et al. (2019), depending on the
construct(s) of interest, definitional distinctiveness, or rather,
“the degree to which a scale’s items correspond more to the
construct’s definition than to the definitions of other orbit-
ing constructs” may be appropriate (p. 1243). Regardless,
demonstrating that single-item measures are content valid
is important (Schriesheim et al. 1993). In retrospect though,
building from study 1, if the goal is to demonstrate that a
single-item measure has a similar level of content validity as
a multi-item measure of the focal construct, it may be more
appropriate to have respondents evaluate the definitional
correspondence of the items from the multi-item measures
as a set. That is, taking a gestalt perspective, raters would
evaluate the degree to which the set of items tap into, or
represent, the focal construct’s conceptual definition. In turn,
if it can be shown that a single-item measure has similar
definitional correspondence by asking just one item versus,
for example, asking six, that would support the argument for
content validity of the single-item measure.

In light of our goal of providing a robust understand-
ing of single-item measures, we reported on the test—retest
reliability of the proposed measures over three temporal
conditions. While examining test—retest reliability is more
resource intensive than estimating, for example, consist-
ency reliabilities (Sporrle and Bekk 2014), that approach
likely underestimates the reliability of the single-item
measures. Furthermore, as we demonstrated in study 4,

consistency-based reliabilities are inherently linked to the
psychometric characteristics of multi-item reference meas-
ures. And more practically, given the nature of the construct,
a valid multi-item measure of the focal construct may not
exist. As such, while demonstrating reliability is a piece of
the puzzle, and must be examined, it is difficult to provide
specific guidance on which type of reliability might be most
appropriate for a given construct or program of research.
However, we would encourage researchers, and reviewers
alike, to recognize that reliability is only a piece of the puz-
zle. That is, “lower” consistency-based reliabilities may be a
reflection of weaknesses in the referent multi-item measure
(see study 4), whereas “lower” test—retest reliabilities may
be the expected and desired outcome for temporal sensitive
constructs (e.g., mood) examined over various temporal lags
in that said items are detecting true score change over time.

Continuing with the notion of triangulation, the heteroge-
neity of constructs included here allowed for an ideal exam-
ination of criterion validity. We were particularly pleased
with the application of MTMM matrix approach used and
encourage others to follow this example. Beyond that, for our
purposes, we focused on what is considered convergent valid-
ity within the MTMM matrix approach (Raykov 2011) to
help establish criterion validity. However, depending on the
construct(s) under consideration in future research, it may be
illustrative to consider issues of discriminant validity, which
can also be effectively incorporated into the MTMM matrix
approach. It is important to recognize that to be as defensible
as possible scholars should consider providing validity evi-
dence based on a series of related (and potentially unrelated)
constructs to ensure an accurate understanding of the nomo-
logical network around a given single-item measure relative
to a multi-item measure for the same construct.

An important caveat here is that, again, other validity data
may be more suitable to present for a given research effort.
For example, it may be informative to consider issues of
predictive validity for a given construct if said construct is
conceptually dynamic; demonstrating that a focal construct
differentially predicts some relevant outcome based on dif-
ferent temporal lags may be informative. What is key here
is that researchers proactively consider the types of validity
evidence that presents a compelling case for a given con-
struct and resulting measure. By extension then, we would
discourage scholars from assuming some prescriptive sets of
evidence are required when validating single-item measures
or falling into the trap of thinking that the same evidence
should be provided as compared to validating a multi-item
measure.

Practical Implications

Various constraints (e.g., budget, time, sample access)
and academic incentive structures (e.g., assessing focal
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constructs with multi-item measures) drive many research-
ers to create surveys that are long and repetitive, despite
the known negative impact of these survey features on
representation and measurement (Cehovin et al. 2018).
When responding to long, seemingly redundant surveys a
substantial proportion of respondents are known to prema-
turely quit (creating non-response error) or invest little effort
(creating psychometric detriments due to satisficing, care-
less responding, or insufficient effort responding; Callegaro
et al. 2015; Gibson and Bowling 2020). Put simply, as par-
ticipants become exhausted or cognitively drained, they are
likely to begin responding differently and carelessly (e.g.,
Tourangeau 2018). Demonstrative of the incidence rate of
careless responding, Bowling et al. (2021) estimate that for
an online survey with 117 items, careless responding would
occur 10% of the time, compared to just 1% of the time for
an online survey with 33 items.

A well-accepted norm within organizational sciences
is to deal with these threats after data collection, such
as acknowledging survey representativeness as a limita-
tion and statistically detecting or screening problematic
responders (e.g., Meade and Craig 2012). Recommended
interventions to ameliorate the negative effects of long
surveys involve actions taken during survey administra-
tion such as warnings, interactive prompts, and in-person
proctoring (Bowling et al. 2021). Echoing that of others,
one overlooked straightforward solution to address issues
of careless responding is to explore the use of abbreviated
measures (Heggestad et al. 2019) or single-item indica-
tors (Furnham 2008). Shifting from the dominant reactive
paradigm (e.g., screening careless responders on long sur-
veys) to a more proactive approach (e.g., shortening survey
length through uptake and acceptance of single-item meas-
ures) is well aligned with increased efforts to define various
best practices in research (e.g., Aguinis et al., 2021). This
compendium serves as a critical resource to support that
shift, making the reality of delivering short, user-friendly
surveys possible while meeting the expectations in aca-
demic publishing to rely on previously validated measure-
ment tools.

Beyond addressing issues like survey non-response,
breakoff, and careless responding, leveraging single-item
measures has the potential to help organizational scholars
proactively address the ever-pervasive research-practice
gap. That is, it is well recognized that for academics look-
ing to collaborate with organizations, presenting a seemingly
redundant survey (i.e., consisting of a series of multi-meas-
ures) to organizational stakeholders is likely to result in chal-
lenges and may even endanger the collaboration (Lapierre
et al., 2018). Normalizing the use of single-item measures
within scholarly programs of research may facilitate oppor-
tunities and collaborations with organizations reticent to
administer long “ivory tower” surveys.
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Limitations and Additional Directions for Future
Research

As with any scholarly endeavor, our research must be eval-
uated relative to its limitations. First, while a systematic
review of the literature was conducted, wherein we included
a host of constructs, many more constructs were excluded
based on a series of inclusion and exclusion criteria (e.g.,
a multi-item measure of the same construct should exist in
the literature; an item should be able to be interpreted in
different temporal windows). By design, then, we focused
on constructs more likely to result in valid single-item meas-
ures. In doing so though, our results may overstate the appli-
cation of single-item measures. We recommend researchers
continue to develop new single-item measures of constructs
not included here.

Again, we want to stress, our research should not be inter-
preted to suggest that single-item measures are a panacea, nor
that all single-item measures are “valid.” While this program
of research provides validity evidence for the constructs under
consideration, as the application of single-item continues, it
will still be incumbent on researchers (a) to provide validity
evidence for these and new single-item measures as continu-
ous validation efforts (Flake 2021) as well as (b) to provide
coherent justifications why using the single-item in the given
study context is appropriate. It is common for researchers to
use a psychological measure, whether single or multi-item,
without accumulating and/or reporting strong validity evi-
dence to support its interpretation and use in (new) contexts,
populations, and/or applications (e.g., Flake 2021; Flake et al.
2017). By committing to robust initial and continuous valida-
tion efforts, single-item measure developers and users will
play an important role in combatting this concerning measure-
ment trend (Allen et al. 2022). Also, there may be a context
where using a single-item measure is not appropriate. For
example, using a single-item measure of conscientiousness
(assuming it has been developed) in the selection context in
order to select one of job applicants may not be appropriate.
Providing a sound rationale for why the single-item measure
in the given study context is appropriate will play a crucial
role in facilitating scholars’ acceptance of the use of single-
item in the organizational psychology research.

In turn, similar to work examining factors that predict
measure reliability (e.g., Tourangeau et al. 2020), theoreti-
cal rationale for why single-item measures for some con-
structs demonstrated higher construct validity compared to
others needs to be developed. Our findings provide some
insight into the reasons why, such that, for example, con-
tent validity of multi-item measures indirectly influences
consistency-based reliability of single-item measures for
the same construct. However, additional research is rec-
ommended to extend our understanding of which char-
acteristics of the construct itself (e.g., job attitude vs job
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characteristic) may influence the reliability and validity of
single-item measures.

Conclusion

The knee-jerk reaction that all single-item measures imply
a weak research design is counterproductive and serves to
limit advancements in the organizational sciences. While
there are constructs where single-item measures may not
be appropriate, our research makes clear that it is possible
to develop measures that accurately and reliably represent a
given construct. In light of the practical advantages afforded
by their use, we encourage researchers to proactively con-
sider how leveraging single-item measures may help address
existing and emerging conceptual, methodological, and
empirical challenges within their given research domain.
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