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Abstract
Are video tutorials better teachers? This pilot study examined the effects of video tutorials 
on different types of cognitive load. Participating students (N = 45) attended two class-
rooms: a video tutorial-based classroom, and a traditional instruction-based classroom. 
The cognitive load scales indicated differences in cognitive load between the video class-
room and the traditional classroom. Video tutorials decreased students’ intrinsic load (t 
= -4.507, p < .001, d = − 0.672) and increased germane load (t = 4.749, p < .001, d = 0.708) 
but did not affect extraneous load (t = -1.688, p = .098, d = − 0.252). The results also in-
dicated additivity for different types of cognitive load in the two classrooms. In general, 
our results demonstrate that video tutorials are a promising form of instructional material, 
especially to facilitate more effective and deeper learning.

Keywords Video tutorial · Video-based learning · Cognitive load

1 Introduction

With the development of technology and the accessibility of the Internet, video tutorials 
(VTs) have become an increasingly popular teaching tool in recent years (Martin & Martin, 
2015; Mayer et al., 2020). Video tutorials have many advantages over traditional instruc-
tional materials: they can present complex concepts in a more intuitive way (Morain & 
Swarts, 2012), learners can control the pace of learning while using the video tutorials (de 
Koning et al., 2007; Martin, 2016), and through repeated viewing of the video tutorial, 
learners can manage and organize their study time more efficiently (Luke & Hogarth, 2011). 
Although many studies indicate that teaching with video tutorials has a positive effect on 
students’ efficiency, engagement and learning outcomes (Lloyd & Robertson, 2011; Wells 
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et al., 2012; Van der Meij & Van der Meij, 2014b; Martin, 2016; van der Meij & van der 
Meij, 2016; Wahyudi et al., 2017; Gonzalves et al., 2018; Hamas et al., 2019; Rizza et al., 
2019; Rozi et al., 2020), there are also studies that show the opposite (Käfer et al., 2016; 
Ganier & de Vries, 2016; Zinn et al., 2021). This means that more research should focus on 
the conditions under which video tutorials improve learning outcomes and how to optimize 
them (Van der Meij & Van der Meij, 2014a).

In order to understand the effectiveness of video tutorials in-depth, it is necessary to 
examine learners’ cognitive load. Cognitive Load Theory (CLT) provides an important theo-
retical foundation that guides the design of video tutorials (Noor et al., 2013). CLT identifies 
the different types of cognitive resources that individuals utilize in the course of complet-
ing a learning task. The three types of cognitive load utilized – intrinsic, extraneous, and 
germane – affect the task process and hence the task outcome (Sweller, 1988; Sweller et al., 
1998). Intrinsic cognitive load is determined by the complexity of the material and the prior 
knowledge of the learner. Extraneous cognitive load is related to the way the learning mate-
rial is presented and organized. Germane cognitive load is related to schema construction 
(Sweller, 1988; Sweller et al., 1998; Leppink et al., 2013; Klepsch et al., 2017).

Research suggests that video tutorials can have an impact on cognitive load (Paas et al., 
2008). For example, it can lead to an increase in extraneous cognitive load and thus nega-
tively affect learning (Mayer, 2005). But low cognitive load is also not beneficial for learn-
ing (Leppink & van den Heuvel, 2015). Ideally, a good video tutorial should allow learners 
to increase germane load that enhances learning and decreases extraneous load that is harm-
ful to learning (Sweller, 1994; Sweller et al., 2011). However, in the past decade, there 
has been little research analyzing the sorts of cognitive load that manifests while learning 
through video tutorials. In addition, the types of cognitive load have rarely been explored in 
depth in comparative studies of video tutorials and traditional teaching methods. This make 
it difficult to link the findings of these comparative studies to the theoretical foundations 
(Mutlu-Bayraktar et al., 2019). Therefore, in the current research, there is a lack of research 
that compares the different types of cognitive load when video tutorials are being used in 
real classroom settings. The study aims to fill this gap by examining the differences in the 
types of cognitive load that arise during video tutorial-based classes (VC) and traditional 
instruction-based classes without video support (TC), in order to better understanding the 
different cognitive impacts of the two approaches.

2 Research Question

RQ (1) Are there differences in types of students’ cognitive load between video classroom 
(VC) and traditional classroom (TC)?

RQ (2) Are there correlations between the types of students’ cognitive load in the video 
classroom (VC) and traditional classroom (TC)?
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3 The Literature Review

3.1 Cognitive Load Theory

Cognitive scientists have established that working memory or short-term memory is limited 
(Miller, 1956; Broadbent, 1958; Brown, 1958; Peterson & Peterson, 1959). Therefore, if the 
amount of information provided during instruction exceeds the learner’s short-term memory 
capacity, the extra information is useless (Kalyuga & Sweller, 2014). In contrast, long-term 
memory (LTM) has a virtually unlimited storage capacity and provides a more permanent 
repository of knowledge and abilities (Bower, 2014). Memory research has shown that learn-
ers’ prior knowledge experiences affect their recall of learning material (Bartlett, 1932), and 
these experiences are stored in long-term memory as schemas (Rumelhart, 1980). Once a 
schema is developed, it remains stable over long periods of time, allowing people to encode 
and classify information that has been or will be acquired. These cognitive processes are 
automatic and do not require conscious control or resource consumption (Rumelhart, 1980; 
Kirschner, 2002; Paas et al., 2003b).

In 1988, John Sweller explained the interaction between limited working memory 
(Miller, 1956) and long-term memory based on schema theory (Chi et al., 1982; Larkin 
et al., 1980). He provided a more comprehensive and systematic discussion of CLT from 
the perspective of cognitive resource allocation. CLT emphasizes that human cognitive 
resources are limited. The process of learning and problem solving consumes cognitive 
resources and thus generates a certain load. The purpose of applying CLT in the classroom is 
to reduce the cognitive load that hinders learning (Anmarkrud et al., 2019), and to promote 
the cognitive load that favors learning (Sweller et al., 1998). Therefore, cognitive load is not 
just a by-product of the learning process but should be considered a major determinant of 
the success of instructional interventions (Paas et al., 2003b; Kirschner, 2002). Instruction 
must consider how to avoid cognitive overload for the learner in a limited amount of time 
and be able to store knowledge in long-term memory.

3.2 Types of Cognitive Load

The discourse surrounding categorization of cognitive load has evolved over time. In the 
early stages when CLT was first proposed, cognitive load was categorized as either relating 
to schema construction (intrinsic cognitive load) or being unrelated to schema construction 
(extraneous cognitive load; Sweller et al., 1998). This is because early studies of cognitive 
load focused primarily on schema acquisition (Moreno & Park, 2010). Germane cogni-
tive load was introduced in the 1990s when researchers found that partial cognitive load 
produced effects that were beneficial for learning (Sweller et al., 1998). It is capable of 
transferring knowledge to the cognitive load of long-term memory. In recent years, element 
interactivity has been expanded in research on cognitive load (Sweller, 2010), unifying the 
foundations of the three cognitive loads. The cognitive load discussed in this study uses a 
three-factor model: intrinsic cognitive load, extraneous cognitive load, and germane cogni-
tive load (Sweller et al., 2019).
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3.2.1 Intrinsic Cognitive Load

Intrinsic cognitive load (ICL) is determined by the complexity of the learning material and 
the learner’s prior knowledge (Sweller, 1988; Leppink et al., 2013; Klepsch et al., 2017). 
The complexity of learning materials is related to the element interactivity. Materials with 
low element interactivity have each element that can be learned independently of the others, 
so even though there are many elements, they do not require much working memory. Mate-
rials with high element interactivity cannot be learned independently, and multiple elements 
must be considered simultaneously in the learning process. Therefore, the higher the ele-
ment interactivity, the higher intrinsic load (Sweller, 2010). Additionally, the learner’s prior 
knowledge is also a factor that influences the intrinsic load. If the learner already has a richer 
prior knowledge of the domain covered by the learning content, the new knowledge can be 
more quickly categorized into existing schemas, thus reducing the load on working memory 
(Sweller et al., 2019). However, more working memory is required to process more of the 
learning content when the learner’s prior knowledge is insufficient, resulting in an increased 
intrinsic load (Leppink et al., 2014).

3.2.2 Extraneous Cognitive Load

Extraneous cognitive load (ECL) or ineffective cognitive load, which is related to how 
learning materials are presented and organized (Sweller et al., 2019). When learning materi-
als are poorly designed, it can cause learners to unnecessarily process elements that are not 
relevant to learning (Sweller et al., 1998). For example, learners may be asked to unneces-
sarily search within materials for information to solve a problem or for an unclear reference 
in an explanation (Paas et al., 2003b). This can cause the learner to experience the split 
attention effect, resulting in an increase in extraneous load (Ayres & Sweller, 2005). There-
fore, excessive extraneous load can interfere with learning and should be kept to a low level 
when designing instruction (Paas & Sweller, 2014).

3.2.3 Germane Cognitive Load

Germane cognitive load (GCL) is considered as a load necessary for learning (Schnotz & 
Kürschner, 2007). More cognitive resources are allocated to intrinsic load when a learner’s 
extraneous cognitive load is low. This results in the processing of elements from work-
ing memory and their transfer to long-term memory (schema construction). The cognitive 
resources used in this process are called germane cognitive load (Sweller et al., 1998; Lep-
pink et al., 2013). Thus, germane load is a cognitive resource needed to deal with intrinsic 
cognitive load (Sweller et al., 2019). However, it is also due to the very close relationship 
between GCL and ICL that the concept of germane load has been controversial since it was 
proposed. Some researchers have argued that germane load is not independent of the other 
two cognitive loads, but rather uses the same theoretical foundations as intrinsic load, mak-
ing it indistinguishable from intrinsic load (Kalyuga, 2011). Other researchers have argued 
that GCL is an active load and that high GCL is a cognitive resource that learners invest 
in, whereas ICL is a load that is passively experienced (Moreno & Park, 2010; Klepsch & 
Seufert, 2021). In our study, we aim to investigate whether video tutorials are effective in 
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transforming information into schemas, and therefore we will use the three-factor cognitive 
load categorization.

3.3 Effects of Video Tutorials

Video tutorials (VT) are a type of material that combines audio and visual information to 
provide step-by-step instruction that builds knowledge and skills (Noor et al., 2014; Pon-
zanelli et al., 2016). In recent years, the production, use, and effectiveness of video tutori-
als have gradually become a focus of research. From script development, video recording, 
audio recording, adding subtitles, to final editing and encapsulation (Oujezdský, 2014), the 
process of video tutorial production can involve a number of key steps. It is worth noting 
that although some researchers produced video tutorials based on cognitive load theory 
(Noor et al., 2013), CLT does not provide help on specific design problems (van der Meij 
& van der Meij, 2013). Therefore, many researchers have proposed some general design 
principles and considerations for the production of video tutorials (Martin & Martin, 2015; 
Nasir & Bargstädt, 2017; Fiorella & Mayer, 2018; Guy & McNally, 2022; van der Meij & 
Hopfner, 2022; Ring & Brahm, 2022). For example, van der Meij and van der Meij (2013) 
suggested eight guidelines for the design of video tutorials. The guidelines include many 
specific details about the design of video tutorials, such as recommending the use of high-
lighting to direct attention and the use of a conversational style to enhance perceptions of 
task relevance.

Some studies have examined the effects of video tutorials. A three-year study investi-
gated the use of video tutorials in university programming courses (Wells et al., 2012). The 
video tutorials were introduced into the courses the first year without any modifications. The 
results showed that the satisfaction of the course increased, but 40% of the students still did 
not participate in the unit content. In the second year, researchers adjusted the video tutorials 
to better fit the assignments. This approach increased the number of assignments submit-
ted and improved learning outcomes. In the third year, they repeated the methods from the 
second year and the results showed that 87% of the students used the tutorials to complete 
the assignments. However, the study also observed that face-to-face lectures were rated 
lower after the introduction of the video tutorials. Students preferred to use video tutorials 
for their learning.

Compared with other types of instructional materials, video tutorials have many advan-
tages (Balslev et al., 2005; Zhang et al., 2006; Lloyd & Robertson, 2011; Gonzalves et 
al., 2018). In an empirical research, van der Meij and van der Meji (2014a) examined the 
difference between four types of instructional configuration: paper-based, paper-based pre-
view and video procedure (Mixed A), video preview and paper-based procedure (Mixed 
B) and video tutorials. The 111 fifth and sixth-grade participants were randomly split into 
two groups. The result of post-test shows that the participants who used the video tutori-
als achieved the highest score of 76.8%, while the participants who used the paper-based 
materials only scored 55.6%. For the training tasks, the video tutorials also achieved the best 
success rate of 89.7%, while the paper-based materials resulted in a success rate of 65.4%. 
The results are consistent with the findings of Palmiter and Elkerton (1993), who found that 
use of video tutorials during training resulted in better final learning outcomes.

Many studies show that video tutorials can influence learners’ cognitive load (Chen & 
Wu, 2015; Biard et al., 2018; Hughes et al., 2018). However, there are also contrary results. 
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Garrett (2018) conducted a study comparing the text, video, and segmented video in Excel 
learning. The 48 participants were randomly assigned to the three materials. The average 
completion time was 200 s for the video tutorial, 271 s for the segmented video, and 318 s 
for the text. Although the video tutorial was the most efficient format, scales showed no 
difference in the type of cognitive load utilized. In another study (Homer et al., 2008), 26 
university students attended two different classrooms, one using slides with video tutorials, 
the other using slides without video tutorials. The cognitive load scales showed that students 
experienced higher cognitive load during instruction with video. However, the students 
achieved good learning outcomes in both classes. These results indicated that both materials 
are beneficial for learning, but the video tutorials required more mental effort.

In summary, although the effects of video tutorials have been widely researched, the 
empirical evidence on video tutorials compared with traditional instruction is still not clear. 
Therefore, our study aims to provide further evidence to clarify the impact of video instruc-
tion versus traditional instruction on cognitive load.

3.4 Methods of Cognitive Load Measurement

Effective measurement of cognitive load provides a basis for further study on video tutorials 
and is also a challenge in cognitive load research (de Jong, 2009; Ayres, 2017). It is now 
widely accepted that measures of cognitive load are categorized as subjective and objective 
(Brunken et al., 2003; Plass et al., 2010).

Subjective assessment based on learners’ experiences and feelings during the learn-
ing process has been the main method of measuring cognitive load. Questions are usually 
related to the psychology of the learner and the difficulty of the task (Paas et al., 2003b; 
Schnotz & Kürschner, 2007). Measuring cognitive load from a subjective perspective was 
originally proposed by Paas (1992), and other researchers have developed a variety of meth-
ods to assess cognitive load. However, because the measurement dimensions are too simple 
or can only measure the total cognitive load, many researchers have tried to develop scales 
that measure one of the categories of cognitive load or different types of them (Ayres, 2006; 
DeLeeuw & Mayer, 2008; Cierniak et al., 2009; Leppink et al., 2013; Klepsch et al., 2017). 
The main advantage of subjective measurement methods is the convenience, requiring 
almost no instruments. The data obtained is also easy to analyze, and it does not interfere 
with the learners’ learning tasks. However, it has some limitations. The results of the scales 
come from the subjective feelings of the learners, but sometimes the feelings can be differ-
ent from the real mental load. Also, due to the controversy surrounding GCL, the subjective 
scale still needs to be further investigated.

In terms of objective measurement, dual-task paradigms are often used to measure partic-
ipants’ resource allocation status (Brunken et al., 2003). As technology advances, biofeed-
back techniques are also being used as an objective measurement and have been validated 
in many studies. For example, electroencephalography (EEG; Antonenko et al., 2010), 
functional magnetic resonance imaging (fMRI; Whelan, 2007), heart rate variability(HRV; 
Cranford et al., 2014; Minkley et al., 2018; Solhjoo et al., 2019), galvanic skin response 
(GSR; Conway et al., 2013; Larmuseau et al., 2019), and eye-tracking techniques (Recarte 
& Nunes, 2003; Van Gerven et al., 2004; Karch et al., 2019).
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4 Method

4.1 Curriculum and Participants

We conducted a four-group controlled experiment in two vocational schools and one 
high school (two groups) in Germany. By having lessons from different types of schools 
and subjects, we were able to examine the effectiveness of the video tutorials in variety 
of teaching and learning environment. This enhanced the generalizability of the results.

The four groups were taught by four different teachers. Each teacher used a video 
tutorial in one of the lessons (video classroom: VC) and traditional teaching methods in 
another lesson (traditional classroom: TC). Teachers decided by themselves which les-
sons to use video tutorials and students were not aware of this in advance. In addition, 
the content of the lessons was strictly in line with the students’ original study program. 
Only the development parts of the lessons were replaced by video tutorials in VC, all 
other parts followed the original lesson plan. Although the content may vary slightly, 
we have ensured that the materials are coherent and relevant as much as possible. For 
example, in Group A the learning topic was “Light and Color”. In the video classroom, 
students first learned the basics knowledge of color vision, including how colors are 
perceived, color addition and color subtraction. In the traditional classroom, students 
learned the wavelength of light and how its reflection affects color. They also needed 
to understand the RGB and CMYK color spaces. All video tutorials were selected by 
the teacher based on course content and were taken from online resources. All students 
were able to control the pace of the videos while watching them.

Only the students who participated in both classes were selected as a sample to ensure 
that the observed cognitive load were not due to individual differences. In order to detect 
an effect size of Cohen’s d = 0.50 with 90% power (α = 0.05, two-tailed), G*Power 3.1 
suggests we would need 44 participants in a paired samples t-test (Faul et al., 2009; 
Serdar et al., 2021). A total of 45 students (46.67% male, Mage= 19.42, SDage= 2.54) 
fully participated in both class lessons. Group A was organized at a vocational school 
in Hamburg, Germany with the theme “Light and Color”. A total of 15 students partici-
pated in both classes (20.00% male, Mage = 22.27; SDage = 2.55). Group B took place 
in a vocational school in Elmshorn, Schleswig-Holstein, Germany, and the topic of the 
lessons was “Economy”. A total of 5 students participated in both classes (100.00% 
male, Mage = 18.40; SDage = 0.55). Group C and Group D took place in a high school in 
Ahrensburg, Schleswig-Holstein, Germany, with students from grade 12. The topic of 
the lesson in Group C was “Biology”. A total of 13 students participated in both classes 
(61.54% male, Mage = 18.00; SDage = 0.41). Group D’s class topic was “Economics and 
Politics”. A total of 12 of these students participated in both classes (41.67% male, Mage 
= 17.83; SDage = 0.83). All participants were informed about the study in advance and 
signed an informed consent. Underage students had informed consent forms signed by 
their parents. All data were collected anonymously.

4.2 Subjective Cognitive Load Scale

In this study, we used the Cognitive Load Scale (CLS) to measure students’ cognitive load. 
The CLS was chosen firstly because it is convenient and does not interfere with the students’ 
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learning process. Secondly, the CLS allows us to distinguish between three different types 
of cognitive load, which is important for exploring the differences between video and tradi-
tional classrooms. In addition, CLS has been demonstrated to be able to distinguish between 
complexity levels of the problems for perceived difficulty and mental effort (Ouwehand et 
al., 2021), and is also applicable to non-traditional instructions (Costley et al., 2020; Ander-
sen & Makransky,2020).

We selected Leppink et al.’s (2013) Cognitive Load Scale. The CLS consists of ten 
items grouped into three dimensions, including ICL (three items, from 1 to 3), ECL (three 
items, from 4 to 6), and GCL (four items, from 7 to 10). The scale uses an 11-point Likert 
scale, where 0 means “not at all the case” and 10 means “completely the case”. The reli-
ability of the original version of the dimensions is Cronbach’s α: ICL = 0.82, ECL = 0.75, 
and GCL = 0.82. In another meta-study that examined the reliability of various cognitive 
load scales, Leppink et al.’s scale also achieved good results (Cronbach’s α: ICL = 0.845, 
ECL = 0.759, GCL = 0.909) and has been more widely used (Mutlu-Bayraktar et al., 2019; 
Krieglstein et al., 2022). Since the original version of the scale was used in a statistics 
course, the parts of the scale related to statistics were modified (see Fig. 1) and translated 
into German by a native speaker.

4.3 Procedure

Before the lesson began, four video cameras were placed and set up in the four corners of 
the classroom, and audio recorders were placed on the students’ desks. Headphones were 
distributed to each student in the video classroom so that they would not be distracted by 
other students’ videos. We also used the OBS software (version 27.2.3) to record students’ 
screens in real time while they were engaged in video classroom. This allowed us to observe 
in retrospect how students interacted with the video tutorials, as well as their choices and 
strategies during the learning process. Participants were assigned a code as they entered 
the classroom. Participants were first given instructions by the researchers and then asked 
to turn on the audio recorder placed on their desks. At the same time, researchers turned on 
the video camera’s recording mode. The researchers then left the classroom and the teacher 
began the lecture. At the end of the lecture, participants were asked to complete a cognitive 
load scale and simple demographic questions (age, gender).

Fig. 1 Cognitive Load Scale
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5 Results and Discussion

5.1 Differences in Cognitive Load for Four Groups

After checking the classroom of each group and selecting only the students who participated 
in both classes, 90 CLSs from 45 students were finally used for analysis. Initially, a normal 
distribution test using a quantile-quantile plot was performed on the difference between 
the two groups. The results showed that the data collected met the requirements for normal 
distribution. The ten items in the CLS were categorized according to cognitive load and 
dimensionality reduced for reliability analysis. The Cronbach’s α: ICL = 0.892, ECL = 0.688, 
GCL = 0.898, which are within the acceptable range.

Figure 2 shows the distribution of the three cognitive loads for the four groups. The video 
classroom (M = 3.600, SD = 2.100) reports significantly lower scores on the ICL than the 
traditional classroom (M = 5.033, SD = 2.313), t = -4.507, p < .001, d = − 0.672. Although the 
mean ECL is lower in the video classroom (M = 1.607, SD = 1.474) than in the traditional 
classroom (M = 2.174, SD = 2.245), there is no significant difference, t = -1.688, p = .098, 
d = − 0.252. In terms of GCL, the video classroom (M = 7.444, SD = 1.681) reports sig-
nificantly higher means than the traditional classroom (M = 6.200, SD = 1.786), t = 4.749, 
p < .001, d = 0.708).

These results answer research question 1, by establishing that there are differences in 
cognitive load between the video classroom and the traditional classroom. The results are 
consistent with previous studies (Chen & Wu, 2015; Biard et al., 2018; Hughes et al., 2018; 
Griffith & Faulconer, 2022), which indicated the video tutorials affect learners’ cognitive 
load. Of the three types of cognitive load, students who completed video tutorials experi-

Fig. 2 Distributions of the three types of cognitive load for the video class versus the traditional class for 
the four groups combined. Note N=45. VC=Video classroom. TC=Traditional classroom
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enced significantly lower ICL and significantly higher GCL, while ECL showed almost no 
difference between the two classrooms.

Students in the video classroom reported lower ICL. According to CLT, instructional 
interventions cannot change ICL (Sweller, 1994). Changes in ICL are therefore influenced 
by the complexity of the interactive elements of the learning material and the learner’s prior 
knowledge. In order to avoid individual differences, only participants who attended two 
classes were used in our results. Therefore, we can assume that there will not be much dif-
ference in students’ prior knowledge of the topic when they participate in two classrooms. 
Thus, the element interactivity of the learning material can be considered here as the main 
factor influencing ICL. Researchers often express concerns that video tutorials may increase 
cognitive load due to the richness of the visual and auditory content (Paas et al., 2008). 
However, our results showed that students experience less ICL when using video tutorials. 
This is potentially because, although the video tutorial has sound and images, the elements 
involved in the knowledge are already combined and students do not have to spend much 
effort to re-process them. It has also been shown that videos with lower linguistic com-
plexity produce lower ICL (Castro-Meneses et al., 2019). On the other hand, paper-based 
materials used in traditional classrooms require students to find what they need to learn and 
combine elements on their own, which can lead to more ICL.

In the ECL section, although the video classroom reported lower scores, there was no 
statistically significant difference between the two classrooms. However, it is noteworthy 
that ECL can be altered by instructional interventions (Van Merrienboer & Sweller, 2005). 
Therefore, additional attention needs to be paid to ECL when ICL is increased. Because the 
total cognitive load cannot exceed the capacity of working memory, when element interac-
tivity is high, there is a need to focus on reducing ECL through instructional design (Paas et 
al., 2003b). One reason for the lack of difference in ECL between the two classrooms could 
be that the video tutorials gave the same clear instructions as the traditional classroom.

In terms of GCL, it is evident that learners experienced greater GCL in the video class-
room. GCL is related to schema construction. High GCL is a sign that learners are actively 
transforming cognitive resources into schemas (Klepsch et al., 2017). This indicates that 
students in video classrooms invest more cognitive resources to process information. It 
also might show that video tutorials provide a more engaging learning experience than 
traditional classrooms. In addition, video tutorials offer flexibility. In the students’ screen 
recordings, we found that students often watched a particular section repeatedly through 
the strategies by pausing and rewinding, which can contribute to deeper cognitive engage-
ment. In contrast, the traditional classroom had a lower GCL. This means that although the 
traditional method was effective in transferring information, it was not as effective as video 
tutorials in promoting deep cognitive processes and meaningful learning.

It is important to note that although the video tutorial generally showed lower ICL and 
higher GCL, there may have been different results in different groups.

5.2 Differences in Cognitive Load for each Group

Because each classroom may produce different results due to differences in lesson design 
and teaching styles, we compare the differences in each of the four groups. Figure 3 shows 
the distributions of the three cognitive loads for Group A (N = 15), Group B (N = 5), Group 
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C (N = 13) and Group D (N = 12) for the video and traditional classroom. Tables 1, 2, 3 and 
4 show the results of the paired t-test for the four groups.

From the results, it can be seen that Group A and Group C show the same results as the 
overall trend of significantly lower ICL and significantly higher GCL for the video class-
room compared to the traditional classroom. Interestingly, Group B and Group D individu-
ally showed some differences to the overall cognitive load results. In Group B, the three 
cognitive loads barely differed between the two classrooms. One of the reasons for the lack 
of statistically significant differences in all items of Group B could be the small sample size 
(N = 5). It is worth noting that students in Group D report lower ECL when learning with 

Table 1 Paired t-test results of three types of cognitive load in Group A
VC TC t (14) p Cohen’s d
M SD M SD

ICL 4.311 2.248 6.133 2.363 -2.815 0.014 − 0.727
ECL 2.444 1.499 3.333 2.407 -1.186 0.255 − 0.306
GCL 6.667 1.741 5.083 1.713 2.877 0.012 0.743
Note N = 15. VC = Video classroom. TC = Traditional classroom

Fig. 3 Distributions of the three types of cognitive load in Group A, Group B, Group C and Group D for 
the video and traditional classrooms. Note Group A, N = 15. Group B, N = 5. Group C, N = 13. Group D, 
N = 12. VC = Video classroom. TC = Traditional classroom
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Table 2 Paired t-test results of three types of cognitive load in Group B
VC TC t (4) p Cohen’s d
M SD M SD

ICL 1.733 1.090 1.600 1.640 0.431 0.668 0.193
ECL 0.467 0.558 0.333 0.236 0.459 0.670 0.205
GCL 8.950 0.716 7.900 0.576 1.971 0.120 0.882
Note N = 5. VC = Video classroom. TC = Traditional classroom

Table 3 Paired t-test results of three types of cognitive load in Group C
VC TC t (12) p Cohen’s d
M SD M SD

ICL 3.462 1.989 4.577 2.028 -2.028 0.016 − 0.777
ECL 1.449 1.478 1.859 2.468 − 0.544 0.597 − 0.151
GCL 7.500 1.920 6.211 1.928 2.646 0.021 0.734
Note N = 13. VC = Video classroom. TC = Traditional classroom

Table 4 Paired t-test results of three types of cognitive load in Group D
VC TC t (11) p Cohen’s d
M SD M SD

ICL 3.639 2.042 5.583 1.120 -2.737 0.019 − 0.790
ECL 1.208 1.258 1.833 1.580 -2.245 0.046 − 0.648
GCL 7.729 1.135 6.875 1.155 1.927 0.080 0.556
Note N = 12. VC = Video classroom. TC = Traditional classroom

Table 5 Descriptive statistics and correlations for CL in Video Classroom
Variable n M SD 1 2 3
1. ICL 45 3.60 2.10 —
2. ECL 45 1.61 1.47 0.337* —
3. GCL 45 7.44 1.68 − 0.442** − 0.332* —
*p < .05. **p < .01

Table 6 Descriptive statistics and correlations for CL in Traditional Classroom
Variable n M SD 1 2 3
1. ICL 45 5.03 2.31 —
2. ECL 45 2.17 2.24 0.498** —
3. GCL 45 6.20 1.78 − 0.451** − 0.628* —
*p < .05. **p < .01
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video tutorials. This means that the video tutorials in Group D could fit even more the stu-
dents need. Further research it is necessary to analyze this specific difference.

5.3 Relationship between Three Types of Cognitive Load

Based on the results of the four groups, we can see that there are differences between video 
classroom and traditional classroom in terms of ICL and GCL. According to the additivity 
hypothesis of cognitive load, different types of cognitive load change dynamically when 
the total load does not exceed working memory capacity. The total cognitive load can be 
maintained by decreasing another type of cognitive load when one type of cognitive load 
increases. (Moreno & Park, 2010; Paas et al., 2003b). To explore the correlations between 
different types of cognitive load, we conducted a correlational analysis of the CLS results 
from each of the two classrooms (Research Question 2).

In Tables 5 and 6, we can see that the correlation between different types of cognitive 
load in both classrooms are similar. These results answer research question 2. ICL and ECL 
are in positive correlation, ICL and GCL are in negative correlation, and ECL and GCL 
also show negative correlation. According to the additivity hypothesis, when ICL levels are 
low, learners will have sufficient cognitive resources to deal with ECL. And when cogni-
tive resources are progressively consumed by ECL, then fewer will be available for GCL 
(Park et al., 2015; Costley et al., 2020; Krieglstein et al., 2022). Our results show that ECL 
changes with ICL. In the video classroom, when the ICL is lower it leads to a higher GCL. 
And when ICL increased in the traditional classroom, leading to an increase in ECL, then 
GCL decreased. Changes in cognitive load between the two classrooms appear to be consis-
tent with the additivity hypothesis. However, because of the limitations of subjective mea-
sures, and because we did not measure students’ total load, we cannot determine whether 
students reached the limit of total load during the lesson. Therefore, our results can only 
suggest a potential feature of additivity across different types of cognitive load.

Meanwhile, to explore differences in correlations between different types of cognitive 
load in the two classrooms, we used Fisher’s r-to-z transformation (Silver & Dunlap, 1987) 
to conduct a difference-in-difference analysis. As can be seen in Fig. 4, comparing ICL and 
ECL, the correlation for the video classroom is z = 0.397, while the traditional classroom 
is z = 0.547. The difference between the two classes is z=-0.688, which is not statistically 
significant, p = .492, q=-0.150. Comparing ICL and GCL, the correlation for the video class-
room is z=-0.475 compared to z=-0.486 for the traditional classroom. The observed dif-
ference between the two classes is z = 0.052, which is not statistically significant, p = .959, 
q = 0.011. Comparing ECL and GCL, the correlation for the video classroom is z=-0.345, the 
correlation for the traditional classroom is z=-0.738. The difference between these correla-
tions is z = 1.801, p = .072, q = 0.393. This suggests a trend towards statistical significance.

Based on the results of Fisher’s r to z transformation, we can further answer research 
question 2. The ECL and GCL correlations in the two classrooms is approaching the bor-
der of significance (z = 1.801, p = .072, q = 0.393). ECL and GCL showed negative cor-
relations in both the video classroom (r=-.332, z=-0.345) and the traditional classroom 
(r=-.628, z=-0.738), suggesting that GCL decreases as extraneous load increases. However, 
the decrease in germane load was greater in the traditional classroom compared to the video 
classroom. This means that in the traditional classroom, when there is an unfavorable ECL, 
there is a greater reduction in the cognitive resources available for schema construction 
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(GCL). The stronger negative correlations in the traditional classroom may be an indication 
that the overall cognitive load reaches its limits more often. As ECL increases, it takes away 
cognitive resources that could have been used for GCL.

6 Conclusions

Based on the results, we draw the following conclusions. There are differences in types of 
cognitive load experienced between video and traditional classrooms. In our study, students 
reported less ICL and increased GCL during the learning process using video tutorials com-
pared to the traditional classroom. From the correlation analysis of the different types of 
cognitive load, it can be seen that learners adjust the use of other loads according to the use 
of different types of loads. This supports assertions that cognitive load is additive. As well, 
the correlations between ECL and GCL showed a trend of difference between the two class-
rooms. Learners were able to use the GCL to a greater extent when learning through video 
tutorials. Therefore, video tutorials appeared to be a favorable instructional material in this 
study. Not only did it involve less intrinsic load, but it also left more resources available for 
processing the germane load. These results demonstrate the potential of video tutorials to 
facilitate more effective and deeper learning.

7 Limitations and Future Work

At the same time, this study has several limitations. First, assessment of students’ cognitive 
load used self-rating scales. This approach responds to students’ subjective experiences, but 
not detailed information about specific cognitive processes. Therefore, in future studies, we 
will introduce objective measures such as heart rate variability to analyze cognitive load in 
more detail.

Fig. 4 Fisher r-to-z transformation for video classroom and traditional classroom
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Second, the focus of this study was to measure the overall cognitive load of students in 
the classroom and not the specific details of the video tutorials. Although we recorded stu-
dents’ screens, we did not analyze them in detail. In future research, we could analyze the 
screen recordings in more depth. We could also add pre- and post-tests (Kulgemeyer et al., 
2022) to examine whether students’ viewing strategies created cognitive load and influenced 
learning outcomes. Eye tracking could also be used to more specifically analyze students’ 
viewing strategies (Cook et al., 2017). For example, if students repeatedly use pause and 
rewind at some point in the video, is this related to their prior knowledge? Are students hav-
ing a positive impact on learning outcomes by implementing viewing strategies?

Third, different instructional processes and learning steps may also affect changes in 
cognitive load. For example, ECL can be changed by instructional interventions (Van Mer-
rienboer & Sweller, 2005), and teaching styles and instructional steps can also affect cogni-
tive load. Therefore, students’ classroom behaviors and teachers’ organizational behaviors 
should be quantitatively coded in future research. Changes in cognitive load need to be 
analyzed from multiple perspectives including time on task, learning steps, social forms 
and motivation. We also suggest that similar studies in the future should include a follow-up 
survey of participants. For example, learning outcomes should be tested after one week to 
see how the knowledge is stored in long-term memory.

Fourth, although we controlled the variables in our study as much as possible, such as 
paired samples students, the same teacher in each group, strictly following the study pro-
gram to ensure consistency and relevance of the teaching content, and the lesson design 
that only varies in the development part by using video tutorials or not, we still face some 
limitations. There may still be some slight differences in content, perhaps the video tutorials 
covered more complex or simpler content in one group than in the traditional classroom. 
And each teacher’s approach may vary from classroom to classroom, even within the same 
instructional framework. Such differences may be due to adjustments based on student 
responses in the classroom, or due to different strategies in different instructional settings.

Finally, although the results observed changes in different cognitive loads and the poten-
tial for additivity, a more comprehensive study is required to draw firmer conclusions about 
the additivity hypothesis. And as learners progress in the classroom, it is possible that 
the intrinsic load decreases over time while other loads change accordingly. This fluidity 
implies that cognitive load is not static during the learning process, and therefore it is neces-
sary to add dynamic studies of cognitive load in the future (Leppink et al., 2013; Paas et al., 
2016). Furthermore, the present study was conducted under the assumption of the existence 
of germane cognitive load, whereas there are still many questions about the concept of ger-
mane cognitive load (de Jong, 2009). Germane cognitive load is difficult to distinguish from 
intrinsic cognitive load, and more research is required to explore and clarify the framework 
of cognitive load theory.

Author Contributions All authors contributed to the study conception and design. Material preparation, data 
collection and analysis were performed by Enqi Fan and Jens Siemon. The first draft of the manuscript 
was written by Enqi Fan. Matt Bower, Jens Siemon revised it critically for important intellectual content. 
All authors commented on previous versions of the manuscript. All authors read and approved the final 
manuscript.

Funding The authors declare that no funds, grants, or other support were received during the preparation of 
this manuscript.
Open Access funding enabled and organized by Projekt DEAL.

1 3



E. Fan et al.

Open Access  This article is licensed under a Creative Commons Attribution 4.0 International License, 
which permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long as 
you give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons 
licence, and indicate if changes were made. The images or other third party material in this article are 
included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the material. 
If material is not included in the article’s Creative Commons licence and your intended use is not permitted 
by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this licence, visit http://creativecommons.org/licenses/by/4.0/.

References

Andersen, M. S., & Makransky, G. (2020). The validation and further development of a multidimensional 
cognitive load scale for virtual environments. Journal of Computer Assisted Learning, 37(1), 183–196. 
https://doi.org/10.1111/jcal.12478

Anmarkrud, Ø., Andresen, A., & Bråten, I. (2019). Cognitive load and working memory in Multimedia 
Learning: Conceptual and measurement issues. Educational Psychologist, 54(2), 61–83. https://doi.org
/10.1080/00461520.2018.1554484

Antonenko, P., Paas, F., Grabner, R., & van Gog, T. (2010). Using Electroencephalography to measure cogni-
tive load. Educational Psychology Review, 22(4), 425–438. https://doi.org/10.1007/s10648-010-9130-y

Ayres, P. (2006). Using subjective measures to detect variations of intrinsic cognitive load within problems. 
Learning and Instruction, 16(5), 389–400. https://doi.org/10.1016/j.learninstruc.2006.09.001

Ayres, P. (2017). Subjective measures of cognitive load. Cognitive Load Measurement and Application, 9–28. 
https://doi.org/10.4324/9781315296258-2

Ayres, P., & Sweller, J. (2005). The Split-attention Principle in Multimedia Learning. The Cambridge Hand-
book of Multimedia Learning, 135–146. https://doi.org/10.1017/cbo9780511816819.009

Balslev, T., de Grave, W. S., Muijtjens, A. M., & Scherpbier, A. J. (2005). Comparison of text and video cases 
in a postgraduate problem-based learning format. Medical Education, 39(11), 1086–1092. https://doi.
org/10.1111/j.1365-2929.2005.02314.x

Bartlett, F. C. (1932). Remembering: A study in experimental and social psycology. University.
Biard, N., Cojean, S., & Jamet, E. (2018). Effects of segmentation and pacing on procedural learning by 

video. Computers in Human Behavior, 89, 411–417. https://doi.org/10.1016/j.chb.2017.12.002
Bower, G. H. (2014). Cognitive psychology: An introduction. In In Handbook of Learning and Cognitive 

Processes (Volume 1) (pp. 25–80). essay, Psychology Press.
BROADBENT, D. E., & IMMEDIATE MEMORY AND THE SHIFTING OF ATTENTION. (1958). Per-

ception and Communication, 210–243. https://doi.org/10.1016/b978-1-4832-0079-8.50011-6
Brown, J. (1958). Some tests of the Decay Theory of Immediate Memory. Quarterly Journal of Experimental 

Psychology, 10(1), 12–21. https://doi.org/10.1080/17470215808416249
Brunken, R., Plass, J. L., & Leutner, D. (2003). Direct measurement of cognitive load in Multimedia Learn-

ing. Educational Psychologist, 38(1), 53–61. https://doi.org/10.1207/s15326985ep3801_7
Castro-Meneses, L. J., Kruger, J. L., & Doherty, S. (2019). Validating theta power as an objective measure 

of cognitive load in educational video. Educational Technology Research and Development, 68(1), 
181–202. https://doi.org/10.1007/s11423-019-09681-4

Chen, C. M., & Wu, C. H. (2015). Effects of different video lecture types on sustained attention, emo-
tion, cognitive load, and learning performance. Computers & Education, 80, 108–121. https://doi.
org/10.1016/j.compedu.2014.08.015

Chi, M., Glaser, R., & Rees, E. (1982). Expertise in problem solving. In R. Sternberg (Ed.), Advances in the 
psychology of human intelligence (pp. 7–75). Erlbaum.

Cierniak, G., Scheiter, K., & Gerjets, P. (2009). Explaining the split-attention effect: Is the reduction of 
extraneous cognitive load accompanied by an increase in germane cognitive load? Computers in Human 
Behavior, 25(2), 315–324. https://doi.org/10.1016/j.chb.2008.12.020

Conway, D., Dick, I., Li, Z., Wang, Y., & Chen, F. (2013). The effect of stress on cognitive load 
measurement. Human-Computer Interaction – INTERACT, 2013, 659–666. https://doi.
org/10.1007/978-3-642-40498-6_58

Cook, A. E., Wei, W., & Preziosi, M. A. (2017). The use of ocular-motor measures in a convergent approach 
to studying cognitive load. Cognitive Load Measurement and Application, 112–128. https://doi.
org/10.4324/9781315296258-8

1 3

http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1111/jcal.12478
https://doi.org/10.1080/00461520.2018.1554484
https://doi.org/10.1080/00461520.2018.1554484
https://doi.org/10.1007/s10648-010-9130-y
https://doi.org/10.1016/j.learninstruc.2006.09.001
https://doi.org/10.4324/9781315296258-2
https://doi.org/10.1017/cbo9780511816819.009
https://doi.org/10.1111/j.1365-2929.2005.02314.x
https://doi.org/10.1111/j.1365-2929.2005.02314.x
https://doi.org/10.1016/j.chb.2017.12.002
https://doi.org/10.1016/b978-1-4832-0079-8.50011-6
https://doi.org/10.1080/17470215808416249
https://doi.org/10.1207/s15326985ep3801_7
https://doi.org/10.1007/s11423-019-09681-4
https://doi.org/10.1016/j.compedu.2014.08.015
https://doi.org/10.1016/j.compedu.2014.08.015
https://doi.org/10.1016/j.chb.2008.12.020
https://doi.org/10.1007/978-3-642-40498-6_58
https://doi.org/10.1007/978-3-642-40498-6_58
https://doi.org/10.4324/9781315296258-8
https://doi.org/10.4324/9781315296258-8


Video Tutorials in the Traditional Classroom: The Effects on Different…

Costley, J., Fanguy, M., Lange, C., & Baldwin, M. (2020). The effects of video lecture viewing strategies 
on cognitive load. Journal of Computing in Higher Education, 33(1), 19–38. https://doi.org/10.1007/
s12528-020-09254-y

Cranford, K. N., Tiettmeyer, J. M., Chuprinko, B. C., Jordan, S., & Grove, N. P. (2014). Measuring load on 
Working Memory: The Use of Heart Rate as a Means of Measuring Chemistry Students’ cognitive load. 
Journal of Chemical Education, 91(5), 641–647. https://doi.org/10.1021/ed400576n

de Jong, T. (2009). Cognitive load theory, educational research, and instructional design: Some food for 
thought. Instructional Science, 38(2), 105–134. https://doi.org/10.1007/s11251-009-9110-0

de Koning, B. B., Tabbers, H. K., Rikers, R. M., & Paas, F. (2007). Attention cueing as a means to enhance 
learning from an animation. Applied Cognitive Psychology, 21(6), 731–746. https://doi.org/10.1002/
acp.1346

DeLeeuw, K. E., & Mayer, R. E. (2008). A comparison of three measures of cognitive load: Evidence for 
separable measures of intrinsic, extraneous, and germane load. Journal of Educational Psychology, 
100(1), 223–234. https://doi.org/10.1037/0022-0663.100.1.223

Faul, F., Erdfelder, E., Buchner, A., & Lang, A. G. (2009). Statistical power analyses using G*Power 3.1: 
Tests for correlation and regression analyses. Behavior Research Methods, 41(4), 1149–1160. https://
doi.org/10.3758/brm.41.4.1149

Fiorella, L., & Mayer, R. E. (2018). What works and doesn’t work with instructional video. Computers in 
Human Behavior, 89, 465–470. https://doi.org/10.1016/j.chb.2018.07.015

Ganier, F., & de Vries, P. (2016). Are instructions in video format always better than photographs when learn-
ing manual techniques? The case of learning how to do sutures. Learning and Instruction, 44, 87–96. 
https://doi.org/10.1016/j.learninstruc.2016.03.004

Garrett, N. (2018). Twenty-fourth Americas Conference on Information Systems.
Gonzalves, A., Verhaeghe, C., Bouet, P. E., Gillard, P., Descamps, P., & Legendre, G. (2018). Effect of 

the use of a video tutorial in addition to simulation in learning the maneuvers for shoulder dystocia. 
Journal of Gynecology Obstetrics and Human Reproduction, 47(4), 151–155. https://doi.org/10.1016/j.
jogoh.2018.01.004

Griffith, J., & Faulconer, E. (2022). Show Me! Do Videos Make a Difference in An Asynchronous Online 
Course? Online Journal of Distance Learning Administration, 25(2). Retrieved from https://commons.
erau.edu/publication/1820

Guy, J., & McNally, M. B. (2022). Ten key factors for making Educational and instructional videos. Scholarly 
and Research Communication, 13(2). https://doi.org/10.22230/src.2022v13n2a423

Hamas, A., Maryono, D., & Efendi, A. (2019). The effectiveness of the use of blended learning model based on 
video tutorial reviewed from students’ understanding in the Basic Graphic Learning in Banyudono State 
Vocational School. Journal of Informatics and Vocational Education, 2(2). https://doi.org/10.20961/
joive.v2i2.37972

Hogarth, K., & Luke, B. (2010). Transitioning from dependent to more independent learners: Using video 
tutorials as a means of helping students help themselves. In Proceedings of the 2010 Accounting and 
Finance Association of Australia and New Zealand (AFAANZ) Conference (pp. 1-2rizz1). Accounting 
and Finance Association of Australia and New Zealand (AFAANZ).

Homer, B. D., Plass, J. L., & Blake, L. (2008). The effects of video on cognitive load and social presence 
in multimedia-learning. Computers in Human Behavior, 24(3), 786–797. https://doi.org/10.1016/j.
chb.2007.02.009

Hughes, C., Costley, J., & Lange, C. (2018). The effects of self-regulated learning and cognitive load on 
beginning to watch and completing video lectures at a cyber-university. Interactive Technology and 
Smart Education, 15(3), 220–237. https://doi.org/10.1108/itse-03-2018-0018

Käfer, V., Kulesz, D., & Wagner, S. (2016). What Is the Best Way for Developers to Learn New Software 
Tools? A Small Empirical Comparison between a Text and a Video Tutorial. https://doi.org/10.7287/
peerj.preprints.2413v2

Kalyuga, S. (2011). Cognitive load theory: How many types of load does it really need? Educational Psy-
chology Review, 23(1), 1–19. https://doi.org/10.1007/s10648-010-9150-7

Kalyuga, S., & Sweller, J. (2014). The redundancy Principle in Multimedia Learning. The Cambridge Hand-
book of Multimedia Learning, 247–262. https://doi.org/10.1017/cbo9781139547369.013

Karch, J. M., García Valles, J. C., & Sevian, H. (2019). Looking into the Black Box: Using gaze and Pupil-
lometric Data to Probe how cognitive load changes with Mental tasks. Journal of Chemical Education, 
96(5), 830–840. https://doi.org/10.1021/acs.jchemed.9b00014

Kirschner, P. A. (2002). Cognitive load theory: Implications of cognitive load theory on the design of learn-
ing. Learning and Instruction, 12(1), 1–10. https://doi.org/10.1016/s0959-4752(01)00014-7

Klepsch, M., & Seufert, T. (2021). Making an Effort Versus Experiencing Load. Frontiers in Education, 6. 
https://doi.org/10.3389/feduc.2021.645284

1 3

https://doi.org/10.1007/s12528-020-09254-y
https://doi.org/10.1007/s12528-020-09254-y
https://doi.org/10.1021/ed400576n
https://doi.org/10.1007/s11251-009-9110-0
https://doi.org/10.1002/acp.1346
https://doi.org/10.1002/acp.1346
https://doi.org/10.1037/0022-0663.100.1.223
https://doi.org/10.3758/brm.41.4.1149
https://doi.org/10.3758/brm.41.4.1149
https://doi.org/10.1016/j.chb.2018.07.015
https://doi.org/10.1016/j.learninstruc.2016.03.004
https://doi.org/10.1016/j.jogoh.2018.01.004
https://doi.org/10.1016/j.jogoh.2018.01.004
https://commons.erau.edu/publication/1820
https://commons.erau.edu/publication/1820
https://doi.org/10.22230/src.2022v13n2a423
https://doi.org/10.20961/joive.v2i2.37972
https://doi.org/10.20961/joive.v2i2.37972
https://doi.org/10.1016/j.chb.2007.02.009
https://doi.org/10.1016/j.chb.2007.02.009
https://doi.org/10.1108/itse-03-2018-0018
https://doi.org/10.7287/peerj.preprints.2413v2
https://doi.org/10.7287/peerj.preprints.2413v2
https://doi.org/10.1007/s10648-010-9150-7
https://doi.org/10.1017/cbo9781139547369.013
https://doi.org/10.1021/acs.jchemed.9b00014
https://doi.org/10.1016/s0959-4752(01)00014-7
https://doi.org/10.3389/feduc.2021.645284


E. Fan et al.

Klepsch, M., Schmitz, F., & Seufert, T. (2017). Development and validation of two instruments measuring 
intrinsic, extraneous, and germane cognitive load. Frontiers in Psychology, 8. https://doi.org/10.3389/
fpsyg.2017.01997

Krieglstein, F., Beege, M., Rey, G. D., Ginns, P., Krell, M., & Schneider, S. (2022). A systematic Meta-
analysis of the reliability and validity of subjective cognitive load questionnaires in experimental Multi-
media Learning Research. Educational Psychology Review, 34(4), 2485–2541. https://doi.org/10.1007/
s10648-022-09683-4

Kulgemeyer, C., Hörnlein, M., & Sterzing, F. (2022). Exploring the effects of physics explainer videos and 
written explanations on declarative knowledge and the illusion of understanding. International Journal 
of Science Education, 44(11), 1855–1875. https://doi.org/10.1080/09500693.2022.2100507

Larkin, J. H., McDermott, J., Simon, D. P., & Simon, H. A. (1980). Models of competence in solving physics 
Problems*. Cognitive Science, 4(4), 317–345. https://doi.org/10.1207/s15516709cog0404_1

Larmuseau, C., Vanneste, P., Cornelis, J., Desmet, P., & Depaepe, F. (2019). Combining physiological data 
and subjective measurements to investigate cognitive load during complex learning. Frontline Learning 
Research, 7(2), 57–74. https://doi.org/10.14786/flr.v7i2.403

Leppink, J., & Van den Heuvel, A. (2015). The evolution of cognitive load theory and its application to 
medical education. Perspectives on Medical Education, 4(3), 119–127. https://doi.org/10.1007/
s40037-015-0192-x

Leppink, J., Paas, F., Van der Vleuten, C. P., Van Gog, T., & Van Merriënboer, J. J. (2013). Development 
of an instrument for measuring different types of cognitive load. Behavior Research Methods, 45(4), 
1058–1072. https://doi.org/10.3758/s13428-013-0334-1

Leppink, J., Paas, F., van Gog, T., van der Vleuten, C. P. M., & van Merriënboer, J. J. G. (2014). Effects of 
pairs of problems and examples on task performance and different types of cognitive load. Learning and 
Instruction, 30, 32–42. https://doi.org/10.1016/j.learninstruc.2013.12.001

Lloyd, S. A., & Robertson, C. L. (2011). Screencast tutorials Enhance Student Learning of statistics. Teach-
ing of Psychology, 39(1), 67–71. https://doi.org/10.1177/0098628311430640

Luke, B., & Hogarth, K. (2011). Developing and enhancing independent learning skills. Accounting Research 
Journal, 24(3), 290–310. https://doi.org/10.1108/10309611111187019

Martin, P. A. (2016). Tutorial video use by senior undergraduate electrical engineering students. Australasian 
Journal of Engineering Education, 21(1), 39–47. https://doi.org/10.1080/22054952.2016.1259027

Martin, N. A., & Martin, R. (2015). Would you watch it? Creating effective and engaging video tutorials. 
Journal of Library & Information Services in Distance Learning, 9(1–2), 40–56. https://doi.org/10.10
80/1533290x.2014.946345

Mayer, R. E. (2005). Cognitive Theory of Multimedia Learning. The Cambridge Handbook of Multimedia 
Learning, 31–48. https://doi.org/10.1017/cbo9780511816819.004

Mayer, R. E., Fiorella, L., & Stull, A. (2020). Five ways to increase the effectiveness of instructional 
video. Educational Technology Research and Development, 68(3), 837–852. https://doi.org/10.1007/
s11423-020-09749-6

Miller, G. A. (1956). The magical number seven, plus or minus two: Some limits on our capacity for process-
ing information. Psychological Review, 63(2), 81–97. https://doi.org/10.1037/h0043158

Minkley, N., Kärner, T., Jojart, A., Nobbe, L., & Krell, M. (2018). Students’ mental load, stress, and per-
formance when working with symbolic or symbolic–textual molecular representations. Journal of 
Research in Science Teaching, 55(8), 1162–1187. https://doi.org/10.1002/tea.21446

Morain, M., & Swarts, J. (2012). YouTutorial: A Framework for assessing Instructional Online Video. Techni-
cal Communication Quarterly, 21(1), 6–24. https://doi.org/10.1080/10572252.2012.626690

Moreno, R., & Park, B. (2010). Cognitive load theory: Historical development and relation to other theories. 
Cognitive Load Theory, 9–28. https://doi.org/10.1017/cbo9780511844744.003

Mutlu-Bayraktar, D., Cosgun, V., & Altan, T. (2019). Cognitive load in multimedia learning environ-
ments: A systematic review. Computers & Education, 141, 103618. https://doi.org/10.1016/j.
compedu.2019.103618

Nasir, A. R., & Bargstädt, H. J. (2017). An Approach to develop video tutorials for construction tasks. Proce-
dia Engineering, 196, 1088–1097. https://doi.org/10.1016/j.proeng.2017.08.066

Noor, N. M., Hamizan, N. I., & Rahim, R. A. (2013). The framework for learning using video based on cogni-
tive load theory among visual learners. 2013 IEEE 5th Conference on Engineering Education (ICEED). 
https://doi.org/10.1109/iceed.2013.6908295

Noor, N. M., Aini, M., & Hamizan, N. I. (2014). Video based learning embedded with cognitive load theory: 
Visual, auditory, and kinaesthetic learners’ Perspectives. 2014 International Conference on Teaching 
and Learning in Computing and Engineering. https://doi.org/10.1109/latice.2014.19

Oujezdský, A. (2014). Creation of Educational Video tutorials and their use in Education. International Jour-
nal of Information and Communication Technologies in Education, 3(1), 28–39. https://doi.org/10.1515/
ijicte-2014-0003

1 3

https://doi.org/10.3389/fpsyg.2017.01997
https://doi.org/10.3389/fpsyg.2017.01997
https://doi.org/10.1007/s10648-022-09683-4
https://doi.org/10.1007/s10648-022-09683-4
https://doi.org/10.1080/09500693.2022.2100507
https://doi.org/10.1207/s15516709cog0404_1
https://doi.org/10.14786/flr.v7i2.403
https://doi.org/10.1007/s40037-015-0192-x
https://doi.org/10.1007/s40037-015-0192-x
https://doi.org/10.3758/s13428-013-0334-1
https://doi.org/10.1016/j.learninstruc.2013.12.001
https://doi.org/10.1177/0098628311430640
https://doi.org/10.1108/10309611111187019
https://doi.org/10.1080/22054952.2016.1259027
https://doi.org/10.1080/1533290x.2014.946345
https://doi.org/10.1080/1533290x.2014.946345
https://doi.org/10.1017/cbo9780511816819.004
https://doi.org/10.1007/s11423-020-09749-6
https://doi.org/10.1007/s11423-020-09749-6
https://doi.org/10.1037/h0043158
https://doi.org/10.1002/tea.21446
https://doi.org/10.1080/10572252.2012.626690
https://doi.org/10.1017/cbo9780511844744.003
https://doi.org/10.1016/j.compedu.2019.103618
https://doi.org/10.1016/j.compedu.2019.103618
https://doi.org/10.1016/j.proeng.2017.08.066
https://doi.org/10.1109/iceed.2013.6908295
https://doi.org/10.1109/latice.2014.19
https://doi.org/10.1515/ijicte-2014-0003
https://doi.org/10.1515/ijicte-2014-0003


Video Tutorials in the Traditional Classroom: The Effects on Different…

Ouwehand, K., van Kroef, A., Wong, J., & Paas, F. (2021). Measuring cognitive load: Are there more valid 
alternatives to likert rating scales? Frontiers in Education, 6. https://doi.org/10.3389/feduc.2021.702616

Paas, F. G. (1992). Training strategies for attaining transfer of problem-solving skill in statistics: 
A cognitive-load approach. Journal of Educational Psychology, 84(4), 429–434. https://doi.
org/10.1037/0022-0663.84.4.429

Paas, F., & Sweller, J. (2014). Implications of cognitive load theory for Multimedia Learning. The Cambridge 
Handbook of Multimedia Learning, 27–42. https://doi.org/10.1017/cbo9781139547369.004

Paas, F., Renkl, A., & Sweller, J. (2003). Cognitive load theory and Instructional Design: Recent develop-
ments. Educational Psychologist, 38(1), 1–4. https://doi.org/10.1207/s15326985ep3801_1

Paas, F., Tuovinen, J. E., Tabbers, H., & Van Gerven, P. W. (2003b). Cognitive Load Measurement as a Means 
to Advance cognitive load theory. Educational Psychologist, 38(1), 63–71. https://doi.org/10.1207/
s15326985ep3801_8

Paas, F. G. W. C., Ayres, P., & Pachman, M. (2008). Assessment of cognitive load in multimedia learning. 
Recent Innovations in Educational Technology that Facilitate Student Learning Information Age Pub-
lishing Inc Charlotte, NC, 11–35.

Paas, F., Renkl, A., & Sweller, J. (Eds.). (2016). Cognitive load theory: A special issue of educational psy-
chologist. Routledge.

Palmiter, S., & Elkerton, J. (1993). Animated demonstrations for learning procedural computer-based tasks. 
Human-Computer Interaction, 8(3), 193–216. https://doi.org/10.1207/s15327051hci0803_1

Park, B., Korbach, A., & Brünken, R. (2015). Do learner characteristics moderate the seductive-details-
effect? A cognitive-load-study using eye-tracking. Journal of Educational Technology & Society, 18(4), 
24–36.

Peterson, L., & Peterson, M. J. (1959). Short-term retention of individual verbal items. Journal of Experimen-
tal Psychology, 58(3), 193–198. https://doi.org/10.1037/h0049234

Plass, J. L., Kalyuga, S., & Leutner, D. (2010). Individual Differences and Cognitive Load Theory. Cognitive 
Load Theory, 65–88. https://doi.org/10.1017/cbo9780511844744.006

Ponzanelli, L., Bavota, G., Mocci, A., Di Penta, M., Oliveto, R., Hasan, M., Russo, B., Haiduc, S., & Lanza, 
M. (2016). Too long; didn’t watch! Extracting relevant fragments from software development video 
tutorials. Proceedings of the 38th International Conference on Software Engineering. https://doi.
org/10.1145/2884781.2884824

Recarte, M. A., & Nunes, L. M. (2003). Mental workload while driving: Effects on visual search, discrimina-
tion, and decision making. Journal of Experimental Psychology: Applied, 9(2), 119–137. https://doi.
org/10.1037/1076-898x.9.2.119

Ring, M., & Brahm, T. (2022). A rating framework for the quality of video explanations. Technology Knowl-
edge and Learning. https://doi.org/10.1007/s10758-022-09635-5

Rizza, M., Widho Wati, C., & Dardiri, A. (2019). Transforming Digital Learning in Vocational High School 
21st Century. Proceedings of the 2nd International Conference on Vocational Education and Training 
(ICOVET 2018). https://doi.org/10.2991/icovet-18.2019.65

Rozi, F., Hamid, A., K., & Panjaitan, K. (2020). Development of Tutorial Video Media Based on Project 
Based Learning in Class XI State Vocational School 1 Pakam Lubuk. Journal of Physics: Conference 
Series, 1485(1), 012056. https://doi.org/10.1088/1742-6596/1485/1/012056

Rumelhart, D. E. (1980). On evaluating Story Grammars*. Cognitive Science, 4(3), 313–316. https://doi.
org/10.1207/s15516709cog0403_5

Schnotz, W., & Kürschner, C. (2007). A reconsideration of cognitive load theory. Educational Psychology 
Review, 19(4), 469–508. https://doi.org/10.1007/s10648-007-9053-4

Serdar, C. C., Cihan, M., Yücel, D., & Serdar, M. A. (2021). Sample size, power and effect size revisited: 
Simplified and practical approaches in pre-clinical, clinical and laboratory studies. Biochemia Medica, 
31(1), 27–53. https://doi.org/10.11613/bm.2021.010502

Silver, N. C., & Dunlap, W. P. (1987). Averaging correlation coefficients: Should Fisher’s z transformation 
be used? Journal of Applied Psychology, 72(1), 146–148. https://doi.org/10.1037/0021-9010.72.1.146

Solhjoo, S., Haigney, M. C., McBee, E., van Merrienboer, J. J., Schuwirth, L., Artino, A. R., Battista, A., 
Ratcliffe, T. A., Lee, H. D., & Durning, S. J. (2019). Heart Rate and Heart Rate Variability correlate with 
clinical reasoning performance and self-reported measures of cognitive load. Scientific Reports, 9(1). 
https://doi.org/10.1038/s41598-019-50280-3

Sweller, J. (1988). Cognitive load during problem solving: Effects on Learning. Cognitive Science, 12(2), 
257–285. https://doi.org/10.1207/s15516709cog1202_4

Sweller, J. (1994). Cognitive load theory, learning difficulty, and instructional design. Learning and Instruc-
tion, 4(4), 295–312. https://doi.org/10.1016/0959-4752(94)90003-5

Sweller, J. (2010). Element interactivity and intrinsic, extraneous, and germane cognitive load. Educational 
Psychology Review, 22(2), 123–138. https://doi.org/10.1007/s10648-010-9128-5

1 3

https://doi.org/10.3389/feduc.2021.702616
https://doi.org/10.1037/0022-0663.84.4.429
https://doi.org/10.1037/0022-0663.84.4.429
https://doi.org/10.1017/cbo9781139547369.004
https://doi.org/10.1207/s15326985ep3801_1
https://doi.org/10.1207/s15326985ep3801_8
https://doi.org/10.1207/s15326985ep3801_8
https://doi.org/10.1207/s15327051hci0803_1
https://doi.org/10.1037/h0049234
https://doi.org/10.1017/cbo9780511844744.006
https://doi.org/10.1145/2884781.2884824
https://doi.org/10.1145/2884781.2884824
https://doi.org/10.1037/1076-898x.9.2.119
https://doi.org/10.1037/1076-898x.9.2.119
https://doi.org/10.1007/s10758-022-09635-5
https://doi.org/10.2991/icovet-18.2019.65
https://doi.org/10.1088/1742-6596/1485/1/012056
https://doi.org/10.1207/s15516709cog0403_5
https://doi.org/10.1207/s15516709cog0403_5
https://doi.org/10.1007/s10648-007-9053-4
https://doi.org/10.11613/bm.2021.010502
https://doi.org/10.1037/0021-9010.72.1.146
https://doi.org/10.1038/s41598-019-50280-3
https://doi.org/10.1207/s15516709cog1202_4
https://doi.org/10.1016/0959-4752(94)90003-5
https://doi.org/10.1007/s10648-010-9128-5


E. Fan et al.

Sweller, J., van Merrienboer, J. J., & Paas, F. G. (1998). Cognitive architecture and instructional design. Edu-
cational Psychology Review, 10(3), 251–296. https://doi.org/10.1023/a:1022193728205

Sweller, J., Ayres, P., & Kalyuga, S. (2011). Measuring cognitive load. Cognitive Load Theory, 71–85. https://
doi.org/10.1007/978-1-4419-8126-4_6

Sweller, J., van Merriënboer, J. J., & Paas, F. (2019). Cognitive Architecture and Instructional Design: 20 years 
later. Educational Psychology Review, 31(2), 261–292. https://doi.org/10.1007/s10648-019-09465-5

van der Meij, H., & Hopfner, C. (2022). Eleven guidelines for the design of instructional videos for Software 
Training. Technical Communication, 69(3), 5–23. https://doi.org/10.55177/tc786532

van der Meij, H., & van der Meij, J. (2013). Eight guidelines for the design of instructional videos for Soft-
ware Training. Technical Communication, 60(3), 205–228.

van der Meij, H., & van der Meij, J. (2014a). A comparison of paper-based and video tutorials for software 
learning. Computers & Education, 78, 150–159. https://doi.org/10.1016/j.compedu.2014.06.003

van der Meij, J., & van der Meij, H. (2014b). A test of the design of a video tutorial for software training. 
Journal of Computer Assisted Learning, 31(2), 116–132. https://doi.org/10.1111/jcal.12082

van der Meij, H., & van der Meij, J. (2016). The effects of reviews in video tutorials. Journal of Computer 
Assisted Learning, 32(4), 332–344. https://doi.org/10.1111/jcal.12136

Van Gerven, P. W., Paas, F., Van Merrienboer, J. J., & Schmidt, H. G. (2004). Memory load and 
the cognitive pupillary response in aging. Psychophysiology, 41(2), 167–174. https://doi.
org/10.1111/j.1469-8986.2003.00148.x

van Merrienboer, J. J., & Sweller, J. (2005). Cognitive load theory and Complex Learning: Recent develop-
ments and future directions. Educational Psychology Review, 17(2), 147–177. https://doi.org/10.1007/
s10648-005-3951-0

Wahyudi, S., Joyoatmojo, S., & Sawiji, H. (2017). Learning model of attention, relevance, confidence, satis-
faction (ARCS) supported by Video Tutorial to improve the students’ learning motivation in Vocational 
High School. Proceedings of the International Conference on Teacher Training and Education 2017 
(ICTTE 2017). https://doi.org/10.2991/ictte-17.2017.72

Wells, J., Barry, R. M., & Spence, A. (2012). Using video tutorials as a Carrot-and-Stick Approach to Learn-
ing. IEEE Transactions on Education, 55(4), 453–458. https://doi.org/10.1109/te.2012.2187451

Whelan, R. R. (2007). Neuroimaging of cognitive load in instructional multimedia. Educational Research 
Review, 2(1), 1–12. https://doi.org/10.1016/j.edurev.2006.11.001

Zhang, D., Zhou, L., Briggs, R. O., & Nunamaker, J. F. (2006). Instructional video in e-learning: Assessing 
the impact of interactive video on learning effectiveness. Information & Management, 43(1), 15–27. 
https://doi.org/10.1016/j.im.2005.01.004

Zinn, B., Tenberg, R., & Pittich, D. (2021). Erklärvideos – Im Naturwissenschaftlich-Technischen Unter-
richt Eine Alternative zu Texten? [explanatory videos as an alternative to text-based learning using 
the problem-solving methodology SPALTEN as an example?]. Journal of Technical Education, 9(2), 
168–187. https://doi.org/10.48513/joted.v9i2.217

Publisher’s Note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

1 3

https://doi.org/10.1023/a:1022193728205
https://doi.org/10.1007/978-1-4419-8126-4_6
https://doi.org/10.1007/978-1-4419-8126-4_6
https://doi.org/10.1007/s10648-019-09465-5
https://doi.org/10.55177/tc786532
https://doi.org/10.1016/j.compedu.2014.06.003
https://doi.org/10.1111/jcal.12082
https://doi.org/10.1111/jcal.12136
https://doi.org/10.1111/j.1469-8986.2003.00148.x
https://doi.org/10.1111/j.1469-8986.2003.00148.x
https://doi.org/10.1007/s10648-005-3951-0
https://doi.org/10.1007/s10648-005-3951-0
https://doi.org/10.2991/ictte-17.2017.72
https://doi.org/10.1109/te.2012.2187451
https://doi.org/10.1016/j.edurev.2006.11.001
https://doi.org/10.1016/j.im.2005.01.004
https://doi.org/10.48513/joted.v9i2.217

	Video Tutorials in the Traditional Classroom: The Effects on Different Types of Cognitive Load
	Abstract
	1 Introduction
	2 Research Question
	3 The Literature Review
	3.1 Cognitive Load Theory
	3.2 Types of Cognitive Load
	3.2.1 Intrinsic Cognitive Load
	3.2.2 Extraneous Cognitive Load
	3.2.3 Germane Cognitive Load


	3.3 Effects of Video Tutorials
	3.4 Methods of Cognitive Load Measurement
	4 Method
	4.1 Curriculum and Participants
	4.2 Subjective Cognitive Load Scale
	4.3 Procedure

	5 Results and Discussion
	5.1 Differences in Cognitive Load for Four Groups
	5.2 Differences in Cognitive Load for each Group
	5.3 Relationship between Three Types of Cognitive Load

	6 Conclusions
	7 Limitations and Future Work
	References


