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Abstract The successful completion of a university degree program is accompanied by
multiple complex opportunities and challenges, which require students to react accordingly
with the skills necessary to meet them. Therefore, the aim of this study was to investigate the
role of complex-problem solving (CPS) skills in undergraduate students’ university success in
two independent samples. In Study 1, 165 university students completed a measure of
intelligence as well as a measure of CPS. In addition, students’ university grade point averages
(GPAs) and their subjective evaluation of academic success were collected. CPS made a
significant contribution to the explanation of GPAs and the subjective success evaluations even
when controlling for intelligence. To further investigate this effect, Study 2 relied on an
independent and more heterogeneous sample of 216 university students. The findings of Study
1 were essentially replicated in Study 2. Thus, the combined results demonstrate a link
between individual differences in CPS and the abilities necessary to be academically success-
ful in university education.

Keywords Universitysuccess .GPA.Complexproblemsolving . Intelligence.Cognitiveability
. Structural equationmodeling

Attending a university is becoming more and more commonplace in modern societies (Pittman
and Richmond 2008), with an increasing number of students enrolling in university programs
and societies investing large amounts of money in their educational systems (OECD 2014).
For the individual students, the transition from high school to university life constitutes a
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critical life event (e.g., Terenzini et al. 1994) with unique opportunities as well as challenges:
opportunities, because the scope of independent exploration of life’s possibilities is greater
than it will be at any other period of the life course; challenges, because independence and
autonomy can also imply disorientation and uncertainty (Arnett 2000).

Researchers are thus increasingly interested in identifying and examining factors which are
related to how students navigate successfully through their university years (Tavernier and
Willoughby 2014). This has resulted in a vast array of cognitive, noncognitive, and demo-
graphic factors known to influence students’ university success (e.g., Richardson et al. 2012).
Within this study, we will focus primarily on individual differences in cognitive variables
related to students’ university performance. Most prominently, previous academic achievement
and intelligence have been established as valid predictors of students’ grade point average
(GPA; Formazin et al. 2011). As an addition to these established cognitive predictors,
academic-related skills such as problem solving were found to be important antecedents of
students’ success at university (Robbins et al. 2004). In that, individual differences in complex
problem-solving (CPS) skills, that is, the skills necessary to deal with new and dynamically
changing situations (Frensch and Funke 1995), might provide valuable information in
explaining why students succeed differently well at university. Recent research has provided
first evidence that CPS is significantly related to academic performance in school (Wüstenberg
et al. 2012; Greiff et al. 2013) and at university (Stadler et al. 2015a) with incremental validity
over and above intelligence. The present two-study report aims at expanding upon this initial
evidence by investigating the relation between university students’ skills at dealing with
complex problems and their success at university in two studies with independent samples.

Measuring university success

Understanding university success depends on being able to conceptually define as well as
assess it in a reliable and valid way (Richardson et al. 2012). Students’ academic performance
is usually expressed in terms of GPA representing the mean of the grades received in courses
contributing to the final degree (Richardson et al. 2012). GPA is the most widely used and
studied measure in tertiary education (Bacon and Bean 2006; Richardson et al. 2012), is
economically available, shows good internal reliability and temporal stability (e.g., Bacon and
Bean 2006), and correlates strongly with variables of interest to educational researchers such
as intelligence, motivational strategies, or certain personality traits (Richardson et al. 2012).
GPA represents a key criterion for postgraduate selection and employment and has been found
to be a valid predictor of socioeconomic success (Strenze 2007). Moreover, GPA shows very
strong correlations to other indicators of university success such as retention (Robbins et al.
2004). As such, it is an index that is directly meaningful to students, universities, and
employers alike and relevant to future training and employment opportunities.

Nonetheless, the use of GPA as an indicator of university success has often been criticized
(e.g., Johnson 2003). Grading disparities between universities, study programs, and even
between different examiners impair a fair, reliable, and valid assessment of students’ compe-
tencies. This has serious consequences on their future perspectives with respect to completing
their university education with a higher GPA and, thus, better career prospects.

Beyond a narrow focus on GPA, university success can furthermore be defined as a
multidimensional construct with substantial subjective components such as individual percep-
tions of accomplishment, comparisons to peers, or future prospects (Gattiker and Larwood
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1986). Solely focusing on objective criteria such as GPA does not encompass this intrinsic and
subjective aspect of success and thus ignores an important dimension of how students evaluate
their performance. Hughes (1959) pointed out the importance of which beholder’s eye is
viewing success. Subjective success is most pertinent from the perspective of the individual as
individuals evaluate different facets of their career. Objective success is critical when consid-
ering an external perspective that “validates” the tangible facets of an individual’s career.
Correspondingly, researchers have argued that objective and subjective aspects of success
should be considered complementary (Duckworth et al. 2012).

Predicting university success

Regardless of the specific conception of success, managing a university program requires
dealing with a complex system of academic tasks, learning and study behaviors, social
obligations, and various other demands that are dynamically changing and whose interrelations
are not always obvious (Parker et al. 2004). Correspondingly, numerous cognitive (e.g.,
intelligence or previous academic achievement; Formazin et al. 2011), noncognitive (e.g.,
personality traits, motivational factors, self-regulatory learning strategies, or psychosocial
contextual influences; for an overview see Richardson et al. 2012), and demographic (e.g.,
age or sociodemographic background; Robbins et al. 2004) factors have been established to
influence students’ university success.

Apart from intelligence, one of the strongest predictors of academic achievement (e.g.,
Jensen 1998; Kuncel, Hezlett, & Ones, 2001), other cognitive abilities have been in the focus
of researchers recently. Especially in tertiary education, student selection procedures reduce
variation in intelligence scores (Furnham et al. 2003). This is particularly important for
universities as highly selective academic institutions (Jensen 1998). Consequently, factors
others than intelligence may add important incremental information to the accurate prediction
of university performance.

Substantial differences in the development and prediction of GPA and subjective indicators
of university success have been reported (e.g., Harackiewicz et al. 2002). Whereas cognitive
ability consistently predicts university students’ GPA, subjective indicators of university
success seem to be more closely linked to psychosocial and study skill factors (Robbins
et al. 2006). In addition, CPS represents a more recently introduced academia-related concept.
Recent research has provided initial evidence for the relevance of CPS for academic success at
the university (see Stadler et al. 2015b). In this line of research, CPS can be defined as:

“the successful interaction with task environments that are dynamic (i.e., change as a
function of the user’s interventions and/or as a function of time) and in which some, if
not all, of the environment’s regularities can only be revealed by successful exploration
and integration of the information gained in that process.” (Buchner, cited in Frensch
and Funke 1995, p. 14.)

Being able to deal with dynamically changing and partially opaque systems is necessary to
be successful at any academic institution. Support for this notion comes from several articles
reporting CPS to predict high school grades even beyond measures of general intelligence
(Greiff et al. 2013; Wüstenberg et al. 2012; see also Kretzschmar et al. 2016; Lotz et al. 2016).
Compared to high school, the demands posed by university programs should be even more
complex and cognitively challenging. In her model of university success, Ferrett (2000)
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describes cognitive skills such as time management, preparing for and taking examinations, or
using information resources as the focal point of the freshman year experience. In that,
university students face a variety of new challenges such as learning and applying study
habits in a more complex academic environment and generally discovering how to function as
independent and academically successful adults, which requires planning and problem-solving
competencies (e.g., acquiring knowledge about new problems or prioritizing subgoals).
Surprisingly though, only one study has investigated the relation between CPS and
university success to date. Stadler et al. (2015a) found a substantial relation between CPS
and both GPA and subjective university success of business students (β = .38) that remained
significant even after general intelligence was controlled for.

CPS, intelligence, and academic success

When investigating the relation between CPS and university success, it is important to consider the
well-established association between CPS and intelligence (e.g., Funke and Frensch 2007; Wirth
and Klieme 2003; Wüstenberg et al. 2012). On the one hand, intelligence measures are among the
most consistently validated predictors of university success (Richardson et al. 2012), with average
correlations of r = .32 between intelligence and GPA (corrected for attenuation; Hell et al. 2007).
Intelligence thus possesses a high validity in the prediction of university success and shows
incremental validity over high school GPA in predicting university GPA (Formazin et al. 2011).
On the other hand, the conceptual and empirical relations of intelligence and CPS need to be
considered. CPS and intelligence can theoretically be distinguished by the unique demands complex
problems pose. There is, however, considerable theoretical overlap between CPS and intelligence as
some characteristic features of CPS such as the integration of information are part of almost every
definition of intelligence (Sternberg and Berg 1986). Themajority of studies on the relation between
CPS and intelligence correspondingly reports medium to strong correlations between the two
constructs that were summarized in a meta-analysis reporting an average correlation of ρ = .43
between CPS and intelligence (Stadler et al. 2015b).

This study

Only Stadler et al. (2015a) have investigated the relation between CPS and university success
to date. While their study provided first evidence supporting the role of CPS in university
success, it was severely limited in its generalizability. First, the sample size used was rather
small (N = 78) and did not allow for advanced statistical analyses such as structural equation
modeling; second, the sample consisted exclusively of business students and was thus rather
homogeneous and limited in generalizability. Finally, the type of CPS measure employed
(FSYS; Wagener 2001) was shown to have unsatisfactory reliability (Greiff et al. 2015b).

This paper will therefore represent a necessary extension of Stadler et al.’s (2015a) study in
various aspects investigating the role of CPS in university success. The aim of Study 1 is to
expand upon the results reported by Stadler et al. (2015a) using a larger sample thus allowing
for latent analyses on the construct level. Study 2 will go even further by investigating the
relation between CPS and university success in a more heterogeneous sample. Moreover,
considering exam scores as additional criteria and incorporating a longitudinal measurement
might reveal further insights regarding the generalizability of these relations.
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Study 1

Based on the findings presented above, Study 1 investigated the relation between CPS and
students’ university success. In line with the findings reported by Stadler et al. (2015a), we
expected CPS to significantly predict both GPA and subjective indicators of university success
(Hypothesis 1).

Despite the strong conceptual overlap between CPS and intelligence mentioned before, the
relation between CPS and university success should not be solely due to a shared measurement
of intelligence. Thus, we expected to find an incremental validity of CPS in predicting
university students’ success over intelligence (Hypothesis 2). However, there may be consid-
erable differences in the strength of prediction of the two constructs. Intelligence is strongly
linked to GPA but less strongly to subjective university success (e.g., Robbins et al. 2006).
Correspondingly, the incremental validity of CPS should be stronger for subjective success
than for GPA.

Method

Participants The sample consisted of 165 students recruited while attending lectures in the
biology (N = 46), psychology (N = 85), and sports (N = 34) departments of a middle-sized
German university. Sixty-one percent of the students were female, and the mean age was
M = 22.53 years (SD = 3.83). The majority of students were in their fourth semester of
studying at the university (equivalent to the second half of the sophomore year). All students
attending the lectures participated in the assessment completely voluntarily.

Procedure All tests and questionnaires were conducted computer-based (lasting 90 min).
Students were informed ahead that all personal data would be treated confidentially. After-
wards, they signed the informed consent sheet approved by the university’s data protection
agency.

Measures

GPA The GPA that had been achieved at the time of the study was employed as a relatively
objective measure of university success. GPAs were retrieved from the official university
sources (as approved by the students).

Subjective university success Consisting of five items, the scale to measure subjective
university success (Stadler et al. 2015a) asked students to rate their agreement with statements
such as “I am successful in my studies”. Students responded on a Likert scale ranging from 1
to 5. The items were designed as an efficient way to assess subjective university success as a
construct encompassing subjective evaluations of participants’ success in relation to their
effort, and in relation to their peers (see Gattiker and Larwood 1986). The scale showed good
internal consistency (α = .80).

CPS Individual differences in CPS abilities were assessed using 10 items based on the
MicroDYN approach (Greiff et al. 2012; Greiff et al. 2015a, b). This set of items has been
shown to provide highly reliable and valid CPS scores (e.g., Greiff et al. 2012). Figure 1
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illustrates the type of MicroDYN tasks employed in our study. In this problem, the test taker is
asked to explore the relation between three training strategies for handball players (labeled A,
B, and C) and three outcomes (e.g., Motivation). The test taker may systematically vary the use
of the training strategies to determine their effects on the outcomes. Unlike other measures of
CPS emulating real-world problems, the underlying relations depicted here are arbitrary. At the
end of the knowledge acquisition phase, participants were asked to plot the assumed relation at
the bottom of the task. To reach certain predefined goals in the knowledge application phase
(e.g., reach a Motivation value of 20 by adequately adapting the training methods), the
acquired knowledge needed to be applied in a second step.

The scoring of students’ CPS performance was conducted automatically by the testing software.
For knowledge acquisition, credit (1 point) was given if the item’s causal model was provided
correctly; otherwise, no credit (0 points) was assigned. For knowledge application, credit (1 point)
was given if all goals were reached in the application phase; otherwise, no credit was assigned (0
points).

Intelligence In order to determine participants’ general intelligence, the Intelligenz-Struktur-Test-
Screening (IST-Screening; Liepmann et al. 2012) was administered. The IST-Screening, as a well-
established and economic (approximately 20 min) intelligence measure, consists of the three task
groups of verbal analogies, number series, and figural matrices (each consisting of 20 items). The
test’s publishers report good internal consistencies for all three scales (α = .72–.90).

Statistical analysis To test our hypotheses, we used structural equation modeling (SEM with
WLSMV) in Mplus 7.3 (Muthén and Muthén 1998–2015). Model fit assessment was based on

Fig. 1 Example of a CPS item based on the MicroDYN approach (Wüstenberg et al. 2012)
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fit indices recommended by Beauducel and Wittmann (2005) and the criteria proposed by Hu
and Bentler (1999).

To account for the hierarchical structure of the data due to different university study programs,
two dummy variables were created representing the three study programs with psychology students
as the reference group. These dummy variables were added as control variables to all structural
models to account for the within-cluster variance in a fixed effects model (Huang 2016).

Results

Descriptive statistics and measurement models Table 1 shows the descriptive statistics
and observed intercorrelations for all variables included in Study 1. An ANOVA comparing
the different study programs displayed significant differences in intelligence scores
[F(2;157) = 5.98; p = .003; ηp

2 = .084], with psychology students (M = 48.21; SD = 5.28)
averaging significantly higher scores than biology (M = 44.57; SD = 6.56) and sports students
(M = 43.97; SD = 9.03).

To limit the parameters to be estimated in the structural models, we aggregated the
intelligence items to three parcels for numerical, verbal, and figural content and had the parcels
all load onto one factor. In line with previous research (e.g., Greiff and Neubert 2014), CPS
was modeled as a higher-order factor consisting of the two latent factors of knowledge
acquisition and knowledge application. Both for knowledge acquisition and knowledge
application, all 10 items were defined to load onto one common factor each. All measurement
models fitted very well to the data thus allowing for estimations of the structural models
(Table 2).

Structural models In order to test Hypothesis 1, CPS was specified as a predictor of both
subjective university success and GPA. This model represented the data very well (Table 2). In
accordance with Hypothesis 1, CPS significantly predicted subjective university success
(β = .32; p = .004; R2 = .10) and GPA (β = .34; p < .001; R2 = .12). The correlation between
subjective university success and GPA was r = .57 (p < .001).

To estimate the incremental validity of CPS over and above intelligence and to avoid issues of
multicollinearity resulting from the high latent correlation between CPS and intelligence (r = .81;
p < .001), CPS was residualized for intelligence in order to test Hypothesis 2. In this model,
intelligence explained 66% (β = .81; p < .001) of the variance in CPS. The remaining residual of
CPS, now not sharing any variance with intelligence, as well as intelligence itself were then defined
to predict both subjective university success andGPA. In linewithHypothesis 2, the residual of CPS

Table 1 Descriptive statistics and observed correlations for Study 1

Variables Mean (SD) GPA SUS CPS acquisition CPS application

GPA 2.31 (0.61) –
SUS 3.29 (0.59) .33** –
CPS acquisition 0.52 (0.26) .22** .10 –
CPS application 0.50 (0.23) .19* .23** .70** –
Intelligence 47.15 (2.95) .08 .00 .24** .27**

CPS complex problem solving, GPA grade point average, SUS subjective university success

*p < .05, **p < .01
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remained a significant predictor of both subjective university success (β = .24; p < .001) and GPA
(β = .14; p = .015). As expected, CPS predicted subjective success significantly stronger than GPA
after intelligence was controlled for (χ2 = 2.77; df = 1; p = .048). Intelligence itself also predicted
subjective university success (β = .23; p < .001) and GPA (β = .32; p < .001). Intelligence predicted
GPA significantly stronger than subjective university success (χ2 = 8.43; df = 1; p = .002). Together,
intelligence and CPS explained 12% of the variance in GPA and 11% of the variance in subjective
university success. The correlation between subjective university success and GPA was r = .58
(p < .001). As indicated by the fit indices, this model represents the data very well (Table 2).

Discussion of Study 1

The aim of Study 1 was to investigate the relation between CPS and students’ university success. In
line with our hypotheses and previous results (Stadler et al. 2015a), CPS was significantly related to
both GPA and subjectively appraised success. This relation remained significant and substantial
even after intelligence was controlled for.

Regarding the two different indicators of university success, there were considerable differences
in the prediction by CPS and intelligence. CPS significantly predicted both GPA and subjective
university success. In line with our hypotheses, the relation was significantly stronger between CPS
and subjective university success than between CPS and GPA. Intelligence, on the other hand, also
predicted both indicators of university success although it was more strongly related to GPA than to
subjective university success. This confirms previous findings regarding differential prediction of
GPA and subjective indicators of university success (e.g., Robbins et al. 2006) in that GPA is more
strongly linked to intelligence while alternative indicators are related to other relevant skills.

In summary, the results of Study 1 support the validity of CPS as a predictor of university
success, but they raise the question of whether the findings can be generalized to more heteroge-
neous samples as well or whether they only hold for specific, rather highly selective university
programs. To further investigate the question of generalizability, Study 2 was based on a more
heterogeneous sample.

Study 2

Study 2 expands on Study 1 by replicating its design as closely as possible with a more
heterogeneous sample consisting of students enrolled in diverse study programs. Furthermore,

Table 2 Model fit indices for Study 1

Model Χ2 df p CFI TLI RMSEA

Measurement models
SUS (λ = .45–.92) 7.51 5 .19 .98 .99 .06
Intelligence (λ = .51–.72) 0 0 – 1.00 1.00 .00
CPS (λ = .80–.93) 207.81 168 .02 .97 .97 .04

Structural models
CPS predicting GPA and SUS 339.63 296 .04 .97 .96 .03
CPS predicting GPA and SUS controlling for intelligence 409.26 371 .08 .97 .97 .03

df degrees of freedom, CFI comparative fit index, TLI Tucker-Lewis index, RMSEA root mean square error of
approximation, SUS subjective university success, CPS complex problem solving, GPA grade point average
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students’ scores on a common exam, gathered about 3 months after the main assessment were
added as a longitudinal criterion that was identical for all students. These additions allowed us
to investigate the reliability and generalizability of the findings reported in Study 1.

Based on the results found in Study 1, we expected to find CPS to significantly predict both
GPA and subjective indicators of university success (Hypothesis 3).

We furthermore expected to find incremental validity of CPS over and above intelligence in
predicting university students’ GPA and subjective university success. However, the larger
variation in university programs should be associated with a larger variation in intelligence.
This should increase the validity of intelligence and in turn limit the validity of CPS after
controlling for intelligence (Hypothesis 4). This effect should be particularly strong for GPA
and less strong for subjective university success (Robbins et al. 2006).

The high heterogeneity in our sample might result in substantial differences in the students’
average GPA as well as the frame of reference for the subjective evaluations of their university
success. To have an additional common indicator of university success, students’ scores on a
course final exam taken by all students participating in Study 2 were included. This additional
indicator of university success was gathered several weeks after the main assessment thus
allowing for a longitudinal prediction of the students’ performance. We expected CPS to
predict these final exam scores as well (Hypothesis 5).

This effect should not be solely due to intelligence either, and we expected CPS to show
incremental validity in the prediction of students’ exam scores over and above intelligence
(Hypothesis 6). Similar to GPA, the validity of CPS should be reduced by controlling for
intelligence.

Method

Participants Data from N = 216 students (71% women; age:M = 23.8 years; SD = 5.5 years)
in an obligatory introductory lecture on educational assessment for sophomore teacher-
education students at the same German university as in Study 1 were used in Study 2. Most
students were enrolled in multiple study programs because teachers in Germany are supposed
to teach at least two different school subjects (in addition to the aspects of their study program
that are identical for all students striving for teaching degrees, like educational assessment).

Procedure The assessment of demographics and intelligence took place during the first part
of the first lecture of the semester. During the following week, the students worked on the CPS
tasks online. The final exam covering the entire course took place at the end of the semester.
Here, students could choose between two exam dates: either directly at the end of the lecture
period (8 weeks after the main assessment) or 2 months later.

Measures The measures used in Study 1 were also administered in Study 2. CPS was
assessed with 10 MicroDYN tasks (Greiff et al. 2012). Intelligence was assessed with the
IST-Screening (Liepmann et al. 2012). Self-reported university GPAs at the time of the study
were reverse-coded so that the best possible passing score was 4 (very good) and the worst
score was 1 (sufficient). The 5-item subjective university success scale (α = .79) was
completed only by those students who had registered for the second final exam (n = 181),
and it was filled out immediately prior to beginning the final exam. Performance on the course
final exam was used as additional indicator of students’ university success. Both exams
consisted of 136 multiple-choice items assessing students’ competencies and knowledge of
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educational and psychological assessment; we used those 58 items that were identical for both
exam dates.

Statistical analysis In line with Study 1, the predictions of GPA and subjective university
success were calculated in the same models. As students’ were enrolled in multiple study
programs, we could not account for the within-cluster variance though. The predictions of
exam scores were calculated in separate models.

Results

Descriptive statistics and measurement models Table 3 shows the descriptive statistics
and intercorrelations for all variables included in Study 2.

Measurement models were established for all latent variables in the same way as in Study 1.
All measurement models fit very well to the data thus allowing for estimations of the structural
models (Table 4).

Structural models To test Hypothesis 3, CPS was defined to predict both the latent
subjective university success factor and manifest GPA scores. This model represented the data
very well (Table 4). In accordance with Hypothesis 3, CPS predicted both subjective university
success (β = .27; p = .038; R2 = .07) and GPA (β = .15; p < .001; R2 = .02). The correlation
between subjective university success and GPAwas r = .62 (p < .001).

To investigate the incremental validity of CPS (Hypothesis 4), CPS was again
residualized for intelligence, which explained 70% (β = .83; p < .001) of the variance
in CPS. The remaining residual of CPS as well as intelligence itself were then specified
to predict both subjective university success and GPA. In support of Hypothesis 4, the
residual of CPS remained a significant predictor of both subjective university success
(β = .17; p < .001) and GPA (β = .08; p < .001). CPS predicted subjective success
significantly stronger than GPA after intelligence was controlled for (χ2 = 3.51; df = 1;
p = .003). In this model, intelligence itself significantly predicted both subjective
university success (β = .41; p < .001) and GPA (β = .18; p < .001). Combined,
intelligence and CPS explained 4% of the variance in GPA and 19% of the variance in
subjective university success. The correlation between subjective university success and
GPA was r = .63 (p < .001). This model represented the data very well (Table 4).

Table 3 Descriptive statistics and correlations for Study 2

Variables Mean (SD) GPA SUS Examscores CPS acquisition CPS application Intelligence

GPA 2.18 (0.47) –
SUS 3.51 (0.65) .52** –
Exam scores 44.75 (6.41) .30** .23** –
CPS acquisition 0.40 (0.27) .04 .23** .11 –
CPS application 0.41 (0.24) .00 .26** .09 .71** –
Intelligence 48.02 (5.42) .15* .46** .10 .46** .43** –

CPS complex problem solving, GPA grade point average, SUS subjective university success

*p < .05, **p < .01
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Hypothesis 5 stated that CPS predicted students’ exam scores. To test this hypothesis, a
latent CPS factor indicated by knowledge acquisition and knowledge application was defined
to predict manifest exam scores. CPS predicted exam scores significantly (β = .13; p = .038;
R2 = .02). The fit for this model was very good (Table 4).

To control the effect of CPS in the prediction of students’ exam scores for intelligence
(Hypothesis 6), CPS was residualized for intelligence. In this model, intelligence explained
56% (β = .75; p < .01) of the variance in CPS. Contrary to Hypothesis 5, the remaining
residual of CPS no longer significantly predicted students’ exam scores (β = .06; p = .295).
Intelligence, on the other hand, predicted students’ exam scores significantly (β = .15;
p = .043). Combined, intelligence and CPS explained 3% of variance in students’ exam
scores. This model represented the data very well (Table 4).

Discussion of Study 2

The results of Study 2 confirm the role of CPS in the prediction of students’ university success.
Nonetheless, comparing the results of Study 1 and Study 2 reveals several differences
regarding the interplay of CPS and intelligence as predictors of grades and subjective
university success. CPS significantly predicted GPA and exam grades as well as subjective
university success. However, controlling for intelligence resulted in a substantial drop in the
relative importance of CPS in the prediction of all three indicators of university success. After
controlling for intelligence, CPS remained a statistically significant predictor of GPA and
subjective university success but with considerably lower beta weights than in Study 1. CPS
no longer significantly predicted students’ exam scores after intelligence was controlled for.
This may be due to the exam scores representing a single measure as opposed to the highly
aggregated GPA.

Taken together, Study 2 replicated most of the findings of Study 1, however, with
substantially smaller effect sizes for CPS and substantially larger effect sizes for intelligence.
This supports our interpretation of CPS as a relevant predictor of university success that
provides additional information over and above intelligence. The magnitude of this incremen-
tal validity may depend on the student population of interest. Future research might investigate
student populations of majors with an expressed focus on problem solving such as medicine or
engineering.

Table 4 Model fit indices for Study 2

Model Χ2 df p CFI TLI RMSEA

Measurement models
SUS (λ = .45–.90) 3.05 5 .27 1.00 1.00 .00
Intelligence (λ = .54–.65) 0 0 – 1.00 1.00 .00
CPS (λ = .83–.94) 220.78 170 < .01 .99 .99 .04

Structural models
CPS predicting GPA and SUS 375.47 298 < .01 .96 .96 .04
CPS predicting GPA and SUS controlling for intelligence 480.72 375 < .01 .97 .97 .03
CPS predicting exam scores 237.71 189 < .01 .99 .99 .03
CPS predicting exam scores controlling for intelligence 290.78 250 < .01 .99 .99 .02

df degrees of freedom, CFI comparative fit index, TLI Tucker-Lewis index, RMSEA root mean square error of
approximation, SUS subjective university success, CPS complex problem solving, GPA grade point average
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General discussion

Complex problem-solving skills appear to be relevant for the academic achievement of university
students. Both studies presented here corroborate the role of this twenty-first century skill in (tertiary)
education with substantial validity. However, the importance of CPS as an additional source of
information on students’ cognitive ability seems to increase with the selectiveness of university
programs (Jensen 1998). This suggests that individual differences in CPS may be helpful in
explaining why highly intelligent students still differ in their academic success. Beyond being smart
enough to cope with the academic demands of university, students need to learn to extract relevant
information, test hypotheses, and control a dynamically changing environment of interrelated
variables (Funke 2001) to succeed in their studies at the university level. Regarding Bloom’s
(1956) taxonomy of educational objectives of the cognitive domain, these skills correspond to
higher-order thinking skills and thus the highest aims of education (e.g., evaluation, application).

Limitations

Some limitations need to be considered in the interpretation of the data. The (mostly) cross-
sectional design of both studies hampers the causal interpretations of the data. Specifically, the
correlation between CPS and indicators of university success may represent an increase in CPS
as an outcome of university studies rather than individual differences in CPS causing different
levels of university success. However, this limitation holds substantially less for the exam
scores (Hypothesis 5), which were assessed a considerable amount of time after CPS. In line
with the interpretation of CPS as a predictor rather than an outcome of university success, CPS
predicted these exam scores as well. Notably, the validity coefficients found for intelligence in
our studies correspond to those reported in longitudinal studies (Hell et al. 2007).

In addition, the choice of operationalization for both CPS and intelligence may have
influenced the results. In fact, recent meta-analytic findings have shown that the correlation
between CPS and intelligence depends on their operationalization (Stadler et al. 2015b).
Measures of CPS and intelligence (such as those used in the current studies) showed the
strongest correlations. The incremental validity of CPS may therefore have been stronger using
different measures of CPS and intelligence (cf. Kretzschmar et al. 2016; Lotz et al. 2016).
Future research may investigate whether other operationalizations of CPS and intelligence lead
to a stronger incremental validity of CPS over and above intelligence in the prediction of
university success.

Finally, our studies focused exclusively on cognitive predictors of university success. As
noted above, various noncognitive predictors of university success have been established as
well (Richardson et al. 2012). Little is known about the relation between CPS and
noncognitive constructs. Greiff and Neubert (2014) report weak (albeit partly significant)
relations between CPS and personality traits. Thus, it stands to reason that future research
on the role of CPS in students’ university success needs to include noncognitive factors as well
to obtain a more complete picture on the various factors influencing students’ success in their
studies at the university.

Implications

The major finding of both studies presented here is that individual differences in CPS are
related to student’s university success and that this difference cannot be reduced to individual
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differences in intelligence. Next to providing a solid ground for future research on the role of
CPS in university success, this may bring practical implications for both selection and teaching
in higher education. CPS tasks may represent a valuable addition to other instruments used in
university selection. Besides their validity in predicting relevant outcomes, CPS tasks have
been shown to be highly accepted by participants (Sonnleitner et al. 2012), whereas intelli-
gence measures suffer from low acceptance in university selection (Hell and Schuler 2005).
Minimizing the complexity of university studies by providing guidance and structure on the
other hand, may reduce the demands of university programs and allow students to perform
better. Finally, we hope that this study instigates attempts on improving students’ CPS skills.
Helping them to handle the complexity of university studies may thus increase students’
success, improve their satisfaction with their education, and ultimately limit the likelihood of a
preventable drop-out.
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