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Abstract Using a continuous-time, stochastic, and dynamic framework, this study derives
a closed-form solution for the optimal investment problem for an agent with hyperbolic
absolute risk aversion preferences for maximising the expected utility of his or her final
wealth. The agent invests in a frictionless, complete market in which a riskless asset, a
(defaultable) bond, and a credit default swap written on the bond are listed. The model is
calibrated to market data of six European countries and assesses the behaviour of an investor
exposed to different levels of sovereign risk. A numerical analysis shows that it is optimal
to issue credit default swaps in a larger quantity than that of bonds, which are optimally
purchased. This speculative strategy is more aggressive in countries characterised by higher
sovereign risk. This result is confirmed when the investor is endowed with a different level
of risk aversion. Finally, we solve a static version of the optimisation problem and show that
the speculative/hedging strategy is definitely different with respect to the dynamic one.
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1 Introduction

During the past 15 years, the market of credit default swaps (CDSs) has become one of
the largest segments of derivatives markets, reaching its peak at the beginning of the global
financial crisis. At the end of June 2008, the total notional amount of outstanding CDS
contracts was USD 57,325 billion.1

CDSs are bilateral derivative contracts under which an investor can buy protection
against the credit risk of a reference entity by paying a periodic premium to the seller. This
feature makes CDS functionally equivalent to insurance contracts. However, the main differ-
ence with respect to an insurance contract is the possibility of buying a CDS without owning
the underlying asset (i.e. buying the derivative in the so-called uncovered or “naked” form).

The strong growth of the market and the possibility of buying uncovered CDSs has
raised concerns regarding their use. One of the main arguments is that speculation on CDSs
exacerbated the recent European sovereign crisis, driving CDS premia of some (distressed)
countries to record highs and, consequently, influencing their cost of funding (Haugh et al.
2009; Sgherri and Zoli 2009; Fontana and Scheicher 2016). Instead, for an investigation
about the link between the value of banks’ equity and the CDS market, the reader is referred
to Calice et al. (2012).

The main practical consequence of these concerns has been the adoption, by the Euro-
pean Council, of a regulation aiming to ban any person or legal entity in the EU from
entering into naked, or uncovered, CDS on sovereign debt. The regulation entered into force
in November 2012.2 The main objective of this intervention was to reduce the magnitude of
speculation on sovereign CDSs. However, a number of weaknesses have been highlighted.
Juurikkala (2012), for instance, lists three issues that threaten the effectiveness of the ban:
(i) the over-the-counter nature of CDS contracts; (ii) the worldwide framework of financial
markets; and (iii) the absence of a similar rule in the US.

In this work, we study the optimal asset allocation for an agent who wants to maximise
the expected utility of his or her final wealth by investing in a riskless asset, a (defaultable)
bond and a CDS written on the bond. This study aims to understand whether it is optimal
for such an agent to invest in CDSs.

Investment decisions in the presence of CDSs are closely related to portfolio choices
with mortality contingent claims. Actually, the default process of a firm can be modelled
as the force of mortality of an individual or a population. There is extensive literature
that explores this subject and successfully models the force of mortality by making use of
well-known results about stochastic processes (see, e.g., Dahl 2004; Biffis 2005; Menoncin
2008; Menoncin 2009). However, literature on optimal investment choices with CDSs is
scarce.

In this study we use a framework similar to that presented in Menoncin and Regis (2015),
but we apply it to the case of an investment in CDS. We provide a closed-form solution to

1Bank for International Settlements, OTC derivatives market activity in the first half of 2008, available at:
http://www.bis.org/publ/otc hy0811.pdf.
2Regulation (EU) No 236/2012 of the European Parliament and of the Council of 14 March 2012 on short
selling and certain aspects of CDSs.

http://www.bis.org/publ/otc_hy0811.pdf
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the problem of an agent endowed with a general hyperbolic absolute risk aversion (HARA)
class of preferences. In addition, we calibrate the model on market data of six European
countries, to assess the behaviour of an investor exposed to different degrees of sovereign
risk. In this way, the investment strategy can be considered that of a financial institution that
can sell or buy credit risk protection on a sovereign entity.

The results of the calibration show that (i) it is optimal to invest in CDSs and, specifically,
to sell credit protection instead of buying it, and (ii) speculation in CDSs plays a crucial
role in investment strategy. In the calibrated optimal portfolio, the investor always issues
more CDSs than the bonds held in the portfolio. In addition, the magnitude of speculation
is directly linked with the underlying risk of the reference entity: the higher is the sovereign
risk, the stronger is the speculation. This result is robust to changes in the investor’s risk
aversion.

Few studies empirically analyse the role of CDS trading on the European sovereign mar-
ket and their conclusions are, to some extent, related to the results of our calibrated model.
For instance, Delatte et al. (2012) highlight the link between the underlying risk of the
reference entity and the magnitude of the speculation in CDSs. In assessing the potential
influence of the growing CDS market on the borrowing cost of sovereign states during the
European sovereign crisis, the authors conclude that speculation is a significant driver of
activity in the CDS market during distress periods. A second empirical study that consid-
ers the role of speculation on the CDS market is Chiarella et al. (2015). In that study, a
heterogeneous agent model is estimated to address whether the recent movements in Euro-
pean sovereign credit spreads are driven by weakened fundamentals or momentum trading
behaviour. The authors conclude that, for troubled peripheral European countries, momen-
tum or non-fundamental trading played a dominant role in increasing their sovereign CDS
spreads beyond the levels justified by weakening fundamentals.

In our calibrated model, one consequence of the speculation strategy of the investor is an
increase in liquidity on the CDS market. The market becomes more liquid as the investor
optimally issues more and more CDSs. The role of liquidity has been investigated by a
number of studies. For instance, Badaoui et al. (2013) argue that the surge in CDS spreads
observed during the sovereign crisis was mainly due to a rise in market liquidity rather
than an increase in default intensity. Aizenman et al. (2013) and Dewachter et al. (2015)
analyse the role of macroeconomic fundamentals on CDS spreads in the Euro area. Both
studies show how fundamentals are not able to fully explain changes in the sovereign risk
of peripheral countries and show that liquidity effects and market overreaction play a dom-
inant role during distress periods. Similarly, in assessing the sovereign credit and liquidity
spread interactions over the recent periods of crisis, Calice et al. (2013) find that for sev-
eral countries, including Greece, Ireland, and Portugal, the liquidity of the sovereign CDS
market had a relevant influence on sovereign bond credit spreads. The authors argue that a
sovereign debt market failure for several Eurozone countries was prevented by coordinated
EU action.

The rest of this paper is structured as follows. Section 2 presents the model set-up, while
in Section 3, investors’ preferences are described and the portfolio optimisation problem is
solved in closed form. In Section 4, a calibration of the model, based on data of six European
countries, is presented. Section 5 presents a one-period version of the optimisation prob-
lem, highlighting the differences between the portfolio strategies in a static and dynamic
framework. Finally, Section 6 concludes.
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2 The dynamic model set-up

We take into account a continuously open, arbitrage-free, complete, and frictionless finan-
cial market over the time set [t0,+∞], where the risk is modelled through a set of n

(independent3) Wiener processes W (t).4

The whole economic framework can be defined by the following three (matrix) differen-
tial equations.

• A set of s state variables exist, whose values z (t) solve the stochastic differential
equation:

dz (t)
s×1

= μz (t, z)
s×1

dt + �(t, z)′
s×n

dW (t)
n×1

, (1)

where z (t0) is a deterministic vector that defines the initial state of the system. The set
of the state variables may contain the interest rate (either spot or forward), the market
price of risk, the stochastic volatility, the default intensity, and any other stochastic
variable that affects the financial market.

• In financial market, n risky assets are listed and their prices S (t) solve the (matrix)
stochastic differential equation

I−1
S

n×1
dS (t)

n×1
= μ (t, z)

n×1
dt + � (t, z)′

n×n
dW (t)

n×1
, (2)

where IS is a diagonal matrix containing the elements of vector S (t). The initial
asset prices S (t0) are deterministic. The vector S (t) may contain the prices of stocks,
bonds, derivatives, and any other financial asset listed in the market. We recall that the
arbitrage-free and completeness hypotheses imply the existence of a unique vector of
market prices of risk ξ (t, z) ∈ R

n such that � (t, z)′ ξ (t, z) = μ (t, z) − r (t, z) 1,
where 1 is a vector of ones.

• Finally, a riskless asset exists, whose price G(t) solves the ordinary differential
equation

G (t)−1 dG (t) = r (t, z) dt, (3)

where r (t, z) is the instantaneously riskless interest rate. We assume G (t0) = 1, that
is, the riskless asset is the numéraire of the economy.

2.1 Credit risk market

Among the risky assets, whose prices are gathered in vector S (t) in Eq. 2, we assume there
is a derivative written on the credit risk of an underlying asset. This credit risk is measured
by a default intensity λ (t, z), which is one of the state variables, whose values are gathered
in z (t). It is easy to demonstrate (e.g. Duffie and Singleton 2003) that the value in t0 of
an asset paying �(t) monetary units in t and whose issuer may go bankrupt with intensity
λ (t, z) is given by

E
Q
t0

[
�(t) e

− ∫ t
t0

r(u,z)+λ(u,z)du
]

,

3The case with dependent Wiener processes can be easily obtained through Cholesky’s decomposition.
4We assume that the stochastic processes driven by these Wiener processes satisfy all the usual properties
needed for the existence of a unique and strong solution (Karatzas and Shreve 1998; Øksendal 2000; Björk
2009).
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where EQ
t0
[•] is the expected value under so-called risk neutral probability, given the infor-

mation set available at time t0. Furthermore, the value of cash flow available at the default
time τ (we call this �(τ)) is given by

E
Q
t0

[∫ ∞

t0

�(s) λ (s) e
− ∫ s

t0
r(u,z)+λ(u,z)du

ds

]
,

where we assume that the default time is defined on the interval [t0, +∞] (see Lando 1998).
In this study, we analyse the case of a CDS written on a bond. The CDS is a derivative in

which the protection buyer pays a spread at fixed dates, while the protection seller engages
to pay the loss given default (LGD) on a certain reference entity if it goes bankrupt before
the expiration of the derivative. The value of the CDS is presented in Section 4.1.1.

3 Investor’s maximisation problem

3.1 Investor’s wealth, consumption and revenue

The investor holds θS (t) ∈ R
n units of the risky assets and θG (t) ∈ R units of the riskless

asset. Thus, at any instant in time, the total value of the investor’s assets (i.e. his or her
financial wealth) A (t) is given by the static budget constraint

A (t) = θS (t)′ S (t) + θG (t) G (t) , (4)

whose differential is the dynamic budget constraint

dA (t) = θS (t)′ dS (t) + θG (t) dG (t) + dθS (t)′ (S (t) + dS (t)) + dθG (t) G (t)︸ ︷︷ ︸
dAa(t)

. (5)

The first two components on the right hand side of Eq. 5 account for the changes in asset
prices. The dAa (t) component, which accounts for the dynamic adjustment of the portfolio
allocation, must take into account the intensity of default between t and t + dt , which is
given by λ (t, z) dt . Thus, the investor’s wealth dynamics are

dA (t) = θS (t)′ dS (t) + θG (t) dG (t) + λ (t, z) A (t) dt. (6)

Once the static budget constraint (4) and the asset differentials (2) and (3) are suitably
taken into account, dA(t) becomes

dA (t) = (A (t) (r (t, z) + λ (t, z)) + θS (t)′ IS (μ (t, z) − r (t, z) 1)
)
dt

+ θS (t)′ IS� (t, z)′ dW (t) . (7)

3.2 Investor’s preferences and objective

The investor obtains utility from the wealth at the end of the financial horizon

U (A (T )) ≡ (A (T ) − Am)1−δ

1 − δ
,

where δ > 1 and the constant Am can be interpreted as the minimum subsistence value
of final wealth. This utility belongs to the HARA family. In fact, the Arrow–Pratt absolute
risk aversion index is δ/ (A (T ) − Am). Accordingly, the higher Am is, the higher is the risk
aversion: an agent who has to guarantee a higher minimum level of final wealth will choose
a safer investment. The case of constant relative risk aversion preferences is obtained with
Am = 0.
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The investor chooses θS (t), which maximises the expected utility of final wealth if the
credit event has not occurred yet:

max
θS(t)

Et0

[
(A (T ) − Am)1−δ

1 − δ
e
− ∫ T

t0
ρ(u,z)+λ(u,z)du

]
, (8)

where ρ (t, z) is a possibly stochastic subjective discount rate. The budget constraint
equalises the initial wealth to the expected present value of the final wealth under the risk
neutral probability:

A (t0) = E
Q
t0

[
A (T ) e

− ∫ T
t0

r(u,z)+λ(u,z)du
]

, (9)

which is the expected value representation of the solution to the stochastic differential
equation (7).

3.3 The optimal portfolio

Problem (8) under the constraint (9) can be solved either through dynamic programming
via the so-called Hamilton–Jacobi–Bellman equation or through the so-called martingale
approach. The latter method is viable in our framework because of market completeness.

Proposition 1 The optimal portfolio-solving problem (8) is

ISθ∗
S (t) = A (t) − H (t, z)

δ
� (t, z)−1 ξ (t, z) (10)

+A (t) − H (t, z)

F (t, z)
� (t, z)−1 �(t, z)

∂F (t, z)

∂z
+ � (t, z)−1 �(t, z)

∂H (t, z)

∂z
,

where

H (t, z) = E
Q
t

[
Ame

− ∫ T
t0

r(u,z)+λ(u,z)du
]

, (11)

F (t, z) = E
Qδ
t

[
e
−∫ T

t

(
δ−1
δ

r(u,z)+ 1
δ
ρ(u,z)+λ(u,z)+ 1

2
1
δ

δ−1
δ

ξ(u,z)′ξ(u,z)
)
du
]

, (12)

dW (t)Qδ = δ − 1

δ
ξ (t, z) dt + dW (t) . (13)

Proof See Appendix A.

In the solution, we use the new probability measure Qδ defined in Eq. 13. It has two
relevant properties: (i) for a log-utility agent, that is δ = 1, the probabilityQδ coincides with
the historical probability; (ii) when the agent is infinitely risk averse, that is δ → +∞, the
probability Qδ coincides with Q. In fact, we can think of the Wiener processes under Qδ as
a weighted mean of the Wiener processes under the risk-neutral and historical probabilities:

dW (t)Qδ =
(
1 − 1

δ

)
dW (t)Q + 1

δ
dW (t) . (14)

Some important properties of the optimal portfolio are worth highlighting.

• The function H (t, z) is the expected value, under Q, of the minimum final wealth Am

appropriately discounted for both financial and credit risk.
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• The function F (t, z) is the expected value under the preference-adjusted measure Qδ

of discount factors taking into account both the financial risk and credit risk and, thus,
it can be thought of as a “global” discount factor.

• We remark that the difference A (t) − H (t, z) is relevant for computing the optimal
portfolio, which depends also on the sensitivities of H (t, z) and F (t, z) with respect
to the state variables z.

• We identify three components in the demand for the risky assets: (i) a speculative
component, related to the risk premium ξ , (ii) a hedging component against the fluctu-
ations of the global discount factor F (t, z), and (iii) a hedging component against the
fluctuations of the expected imbalance to finance minimum wealth H (t, z).

• The last two components depend on: (i) the risk aversion of the individual, (ii) the
variance-covariance matrix of the state variables, and (iii) the sensitivities of F (t, z)

and H (t, z) with respect to changes in the state variables.

4 A portfolio with a bond and a CDS

4.1 The state variables

In this section, we take into account a setting in which there are two state variables:
the instantaneously riskless interest rate r (t) and the default intensity λ (t) (i.e. z (t) =[
r (t) λ (t)

]′
). Furthermore, the two state variables are assumed independent and follow a

mean reverting square root process:
[

dr (t)

dλ (t)

]
=
[

ar (br − r (t))

aλ (bλ − λ (t))

]
dt +

[
σr

√
r (t) 0
0 σλ

√
λ (t)

] [
dWr (t)

dWλ (t)

]
, (15)

where r (t0) and λ (t0) are both known and for i ∈ {r, λ} ai > 0 is the constant strength of
the mean reversion effect, bi > 0 is the constant long-term mean that the process reverts
toward. Here, we assume 2aibi≥ σ 2

i , so that both r (t) and λ (t) are always positive.

Remark 1 The independence of r (t) and λ (t) is assumed only for the sake of simplifying
both the computations and the calibration of the model. Nevertheless, we stress that the
general model presented in Section 3 allows for any possible correlation structure among
state variables.

In this section, we use the following result.

Proposition 2 If the stochastic variable y (t) follows the process

dy (t) = a (b − y (t)) dt + σ
√

y (t)dW (t) ,

y (t0) = y0,

then

V (t0, T ) = Et0

[
(1 − χ + χy (T )) e

− ∫ T
t0

y(s)ds
]

(16)

= 1 − χ + χab
∫ T

t0
e−∫ T

s

(
a+C(u;a,σ,T )σ 2

)
duds + χe

− ∫ T
t0

(
a+C(u;a,σ,T )σ 2

)
du

y0

e
ab
∫ T
t0

C(u;a,σ,T )du+C(t0;a,σ,T )y0
,
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where

C (t0; a, σ, T ) = 2
1 − e−

√
a2+2σ 2(T −t0)

√
a2 + 2σ 2 + a +

(√
a2 + 2σ 2 − a

)
e−

√
a2+2σ 2(T −t0)

. (17)

Proof See Appendix B.

In order to keep the statistical properties of (15) unchanged when switching between
probabilities (eitherQ orQδ), we assume that the market prices of risk forWr (t) andWλ (t)

are given by
ξr (t) = φr

√
r (t), ξλ (t) = φλ

√
λ (t),

where φr and φλ are constant. Under these assumptions, (15) can be rewritten under both
Q and Qδ just by changing the mean reverting strength and the long-term mean as follows
(with i ∈ {r, λ})

a
Q
i ≡ ai + σiφi, b

Q
i ≡ aibi

ai + σiφi

,

a
Qδ

i ≡ ai + σi

δ − 1

δ
φi, b

Qδ

i ≡ aibi

ai + σi
δ−1
δ

φi

.

Given these results, the function H (t, z) in (11) can be simplified as follows:

H (t, z) = AmE
Q
t

[
e
− ∫ T

t0
r(u,z)du

]
E
Q
t

[
e
− ∫ T

t0
λ(u,z)du

]

= Ame
−a

Q
r b

Q
r

∫ T
t C
(
u;aQr ,σr ,T

)
du−C

(
t;aQr ,σr ,T

)
r(t)

e
−a

Q
λ b

Q
λ

∫ T
t C

(
u;aQλ ,σλ,T

)
du−C

(
t;aQλ ,σλ,T

)
λ(t)

,

and, accordingly, the vector ∂H(t,z)
∂z(t)

has the following form:

∂H (t, z)

∂z (t)
=
⎡
⎣ − ∂H(t,z)

∂r(t)
C
(
t; a

Q
r , σr , T

)
− ∂H(t,z)

∂λ(t)
C
(
t; a

Q
λ , σλ, T

)
⎤
⎦ .

In an analogous way, the function F (t, z) in (12) can be written as

F (t, z) = e− ρ
δ (T −t)E

Qδ
t

[
e
− δ−1

δ

(
1+ 1

2
1
δ
φ2

r

)∫ T
t r(u)du

]
E
Qδ
t

[
e
−
(
1+ 1

2
1
δ

δ−1
δ

φ2
λ

)∫ T
t λ(u)du

]

= e− ρ

δ
(T−t)e− δ −1

δ

(
1+ 1

2

1

δ
φ2

r

)
aQδ
r bQδ

r

∫ T

t

C

(
u; δ −1

δ

(
1+ 1

2

1

δ
φ2

r

)
aQδ
r ,

δ−1

δ

(
1+ 1

2

1

δ
φ2

r

)
σr ,T

)
du

−C

(
t; δ − 1

δ

(
1 + 1

2

1

δ
φ2

r

)
aQδ
r ,

δ − 1

δ

(
1 + 1

2

1

δ
φ2

r

)
σr , T

)
r (t)

× e−
(
1 + 1

2

1

δ

δ − 1

δ
φ2

λ

)
a
Qδ

λ b
Qδ

λ

∫ T

t

C

(
u;
(
1 + 1

2

1

δ

δ − 1

δ
φ2

λ

)
a
Qδ

λ ,

(
1+ 1

2

1

δ

δ − 1

δ
φ2

λ

)
σλ,T

)
du

−C

(
t;
(
1 + 1

2

1

δ

δ − 1

δ
φ2

λ

)
a
Qδ

λ ,

(
1 + 1

2

1

δ

δ − 1

δ
φ2

λ

)
σλ, T

)
λ (t) ,

from which we obtain the value of the partial derivatives ∂F (t,z)
∂z(t)

1
F(t,z)

as follows:

∂F (t, z)

∂z (t)

1

F (t, z)
=
⎡
⎣−C

(
t; δ−1

δ

(
1 + 1

2
1
δ
φ2

r

)
a
Qδ
r , δ−1

δ

(
1 + 1

2
1
δ
φ2

r

)
σr , T

)
−C

(
t;
(
1 + 1

2
1
δ

δ−1
δ

φ2
λ

)
a
Qδ

λ ,
(
1 + 1

2
1
δ

δ−1
δ

φ2
λ

)
σλ, T

)
⎤
⎦ .



J Financ Serv Res (2018) 54:81–109 89

In the following subsection, we define the prices of the assets listed in the financial
market.

4.1.1 Financial assets

In the financial market, three assets are listed:

• the riskless asset whose price G (t) solves (3);
• a defaultable constant time-to-maturity (TB ) bond that pays a constant coupon δB ,

whose price is

B (t) = 1 + E
Q
t

[∫ t+TB

t (δB − r (s) − (1 − w) λ (s)) e−∫ s
t r(u)+λ(u)duds

]
, (18)

where w is the constant recovery rate of the bond issuer; and
• a constant time-to-maturity (TX) CDS written on the bond B (t, T ); the mark-to-market

value of this CDS is

X (t) = E
Q
t

[∫ t+TX

t

((1 − w) λ (s) − δX) e−∫ s
t r(u)+λ(u)duds

]
, (19)

where δX is the constant spread that is paid periodically.

Because of the independence between r (t) and λ (t), the values of the bond and CDS can
be simplified as follows

B (t) = δB

∫ t+TB

t

E
Q
t

[
e−∫ s

t r(u)du
]
E
Q
t

[
e−∫ s

t λ(u)du
]
ds

+w

∫ t+TB

t

E
Q
t

[
λ (s) e−∫ s

t λ(u)du
]
E
Q
t

[
e−∫ s

t r(u)du
]
ds

+E
Q
t

[
e− ∫ t+TB

t r(u)du

]
E
Q
t

[
e− ∫ t+TB

t λ(u)du

]
,

X (t) = (1 − w)

∫ t+TX

t

E
Q
t

[
λ (s) e−∫ s

t λ(u)du
]
E
Q
t

[
e−∫ s

t r(u)du
]
ds

− δX

∫ t+TX

t

E
Q
t

[
e−∫ s

t r(u)du
]
E
Q
t

[
e−∫ s

t λ(u)du
]
ds,

where, all the expected values can be computed in closed form as shown in Proposition 1.
In this framework the bond whose price isB (t) can be considered a derivative on the interest
rate r (t) and, in the same way, the CDS whose price is X (t) can be considered a derivative
on the default intensity λ (t). Accordingly, the volatility matrix � (t, z) is given by the
following terms

� (t, z) =
[

1
B(t)

∂B(t)
∂r(t)

1
B(t)

∂B(t)
∂λ(t)

1
X(t)

∂X(t)
∂λ(t)

1
X(t)

∂X(t)
∂λ(t)

]
.
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Some simple algebra allows as to conclude that the derivatives we seek can be written as
follows:

∂B (t)

∂r (t)
= − δB

∫ t+TB

t

C
(
t; aQr , σr , s

)
E
Q
t

[
e−∫ s

t r(u)du
]
E
Q
t

[
e−∫ s

t λ(u)du
]
ds

− w
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(
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Q
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[
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t λ(u)du
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t
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e−∫ s

t r(u)du
]
ds
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(
t; aQr , σr , t + TB
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]
,
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e−∫ s

t r(u)du
]
ds
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,
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ds,

where we note that the terms C (t; •, •, t + TB) do not depend on t and, in fact,
C (t; •, •, t + TB) = C (0; •, •, TB).

4.1.2 Calibration

In this subsection, we compute the optimal portfolio for an investor and show how it reacts to
changes in both the levels of risk aversion and underlying risk. Accordingly, we set four sce-
narios, whose parameters are estimated from the market data of France, Germany, Ireland,
Italy, Portugal, and Spain.

Table 1 Riskfree interest rate
parameters estimated using daily
returns of the 3-month German
Bund (from 18 November 2002
to 7 November 2011)

ar 0.3033606

br 0.0106621

σr 0.0800704
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Table 2 Country specific parameters estimated using daily 5-year credit default swap spreads and daily
5-year bond returns (from 21 July 2008 to 31 December 2014)

France Germany Ireland Italy Portugal Spain

aλ 0.6133633 0.8164267 0.830576 1.4674436 0.8064254 0.8417279

bλ 0.0230483 0.0120968 0.0488752 0.0462346 0.0697769 0.0460049

σλ 0.071139 0.0566561 0.1506418 0.1670546 0.18453 0.1333711

δB 0.02895 0.0238 0.045 0.0349 0.0392 0.0368

δX 0.0081 0.0043 0.0308 0.0214 0.0424 0.02178

X (t) 0.057239 0.032377 0.126748 0.117226 0.160333 0.116132
1
dt
Et [d lnB (t)] 0.01805 0.0142 0.0407 0.0338 0.0614 0.0349

φr -3.479949 -3.835823 -0.142401 -1.27866 -0.061395 -0.578555

φλ -4.653923 -7.246812 -4.505076 -4.91423 -3.48991 -4.210034

Calibrations of state variables in Eq. (15) are common to all scenarios, all the data are
collected with a daily frequency, and parameters are estimated via maximum likelihood
estimations, where ordinary least squares estimates are used as the starting point of the
optimisation. To obtain default intensity parameters we first infer default intensities by
bootstrapping the default probability curve from listed CDS spreads, as in Hull and White
(2000). We use CDS daily quotes of each country from 21 July 2008 to 31 December 2014.
Riskfree interest rate parameters are obtained using daily returns on the 3-month German
Bund, from 18 November 2002 to 7 November 2011. The selected periods reflect the longest
series available from Thompson Reuters Eikon; we remove the last 3 years from the 3-month
Bund series due to negative rates. Estimates of the risk-free interest rate parameters are
reported in Table 1.

To calibrate X (t) and B (t), we assume that the CDS and defaultable bond have the same
constant maturity, equal to 5 years (TX = TB = 5). The constant spread (δX) is estimated
as the average of the listed 5-year CDS spreads for the selected reference entities, while
for the constant coupon of the bond (δB ), we calculate the average of coupons of fixed rate
bonds of 5-year maturity issued by each selected sovereign country from November 2002
to December 2014.5

To estimate φr and φλ, we numerically solve the following system for each country

{
Et [d lnB (t)] = Mdt,

X(t) = x,

where M is the estimated average return of the 5-year sovereign bond over the period 21
July 2008 to 31 December 2014 and x is the estimated price of a 5-year CDS with recovery
rate of 40 % and notional value of 1. We infer CDS prices by using averages of spreads and
bootstrapped default intensities. Estimated parameters by country are reported in Table 2.

Figure 1 shows the evolution of calibrated risk-free rates and default intensities by coun-
try; the underlyingWiener process is common to all sovereign countries. The period selected
for the estimation of default parameters also captures the European sovereign debt crisis.
This can be shown in calibrated intensities: countries that have been affected more severely

5In order to calculate the average constant coupon, we seek 5-year fixed-rate bonds issued by the six countries
from November 2002 to December 2014.
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Fig. 1 Calibrated paths of state variables – This figure shows the result of the calibration of both the riskless
interest rate (on the left) and default intensities (on the right) as in Eq. 15. The underlying Wiener processes
are independent. However, for the country specific default intensities one common process is used

by the crisis (i.e. Italy, Ireland, Portugal, and Spain) show default intensities that are con-
stantly above those of countries that have been affected less seriously (i.e. France and
Germany).

Base scenario In our base scenario we consider an investor whose preferences are
described by the following parameters:

• initial wealth A0 equals 100;
• moderately risk adverse, with δ = 2.5;

Fig. 2 Wealth evolution in the base scenario – This figure shows the evolution of investor’s optimal wealth,
in the base scenario, for each country
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Fig. 3 Optimal portfolio shares in the base scenario – This figure shows the optimal portfolio percentage
shares for each country and in the base scenario. The black line is the share of bonds, the bold black line is
the share of credit default swaps, and the bold grey line is the share of the riskless asset

• desired wealth at the end of the period Am = 120;
• subjective discount rate ρ = 0.01;
• horizon of 5 years (T = 5).

Finally, we assume the recovery rate constant at w = 0.4. Fig. 2 shows the evolution of
the investor’s wealth for each country and Fig. 3 shows the optimal asset allocation. The
underlying sovereign risk plays a clear role: the higher is the risk, the higher are both the
average and final investor’s wealth. Less risky countries, such as Germany and France, allow
the investor to reach final wealth that is notably lower than the wealth obtained with an
investment in riskier countries. In the same way, the underlying risk is positively correlated
with the volatility of investor’s wealth.

We stress that in most of the simulations, the portfolio shares do not show sharp move-
ments and, accordingly, they do not imply overly expensive transaction costs. Actually,
the smooth behaviour of portfolio shares could be approximated suitably by a piecewise
function that allows keeping the portfolio unchanged for a given period of time.

Optimal portfolios are composed of long positions in the defaultable bonds and short
positions in the CDSs: in other words, the investor issues the CDSs to speculate on the credit
risk of the reference entity. The share of wealth invested in the bonds decreases over time,
and this reduction is compensated by an increase in the risk-free asset share. The investment
in the CDSs remains relatively stable during the 5-year period for less risky countries but
shows a slight decrease for riskier countries. The only exception to this behaviour is Italy,
where the share of the bonds remains stable on average and the slight increase in the riskfree
asset is compensated by a small reduction in the CDSs.

The magnitude of credit risk speculation is directly linked to the sovereign risk: the
higher is the risk, the higher is the amount of credit default swaps issued by the investor.
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Fig. 4 Number of contracts held in the optimal portfolio under the base scenario – This figure shows the
evolution of the number of bonds (black line) and CDS contracts (bold black line) held in the optimal portfolio
in the base scenario and for each country. The bold grey line is the absolute value of the difference between
the number of CDSs contracts and bonds

In addition, in this case, the only exception is the portfolio calibrated on Italian data,
which is characterised by the highest percentage of bonds and by the strongest issuance of
CDSs. This result suggests that the Italian sovereign risk measured in the financial market
is more than compensated for by the return, at least according to the risk aversion of the
representative agent we consider.

The average percentage of wealth invested in CDSs ranges during the 5-year horizon
from -3 % in the case of Germany, to -75 % in the case of Italy; while the percentage of
defaultable bonds ranges from an average of 60 % for Germany to an average of 220 % for
Italy.

The investment strategy as a percentage of wealth does not allow capturing the effective
role of speculation. The investor significantly speculates on the credit risk of the reference
entity by issuing more CDS contracts than bonds held in the optimal portfolio. Fig. 4 shows
the evolution of the number of contracts for each calibration. The difference, in absolute
terms, between CDS and bond contracts held in the portfolio increases over time; it is a
minimum in the case of Germany and a maximum in the case of Italy. The number of
defaultable bonds held in the portfolios at the end of the period is largely outweighed by the
number of CDSs issued by the investor. This is also the case at the beginning of the period,
with the only exception being the German portfolio, in which defaultable bonds overweight
CDSs for the first 195 simulated days.

The main rationale for short selling the CDS is that it provides positive cash flows, (coin-
ciding with the spread δX) that can be invested in high-return assets in order to accumulate
sufficiently high wealth over time both to face the credit risk and to obtain a positive return.
Furthermore, if the investor wants to accumulate enough wealth, the CDSs necessarily must
be overweighted with respect to the bonds.
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Fig. 5 Wealth evolution with high risk aversion – This figure shows the evolution of optimal wealth for each
country, when the investor’s risk aversion δ is set to 4.5

Higher risk aversion scenario We recalibrate the model with δ set to 4.5 to take into
account a higher degree of risk aversion.

Figure 5 shows the evolution of the investor’s wealth for the six optimal portfolios: higher
risk aversion determines a lower average in the wealth growth rate but also a lower value in
its volatility.

As in the base scenario, the investor takes long positions in defaultable bonds and issues
CDSs, with the share invested in bonds decreasing over time and compensated for by
an increase in risk-free assets, as shown in Fig. 6. Higher risk aversion results in larger
investment in risk-free assets and in a stronger substitution effect, particularly for low-risk
countries. Portfolios calibrated on German and French data exhibit a decrease in bonds and
an increase in risk-free asset that are nearly linear and constant over time.

The investor speculates on credit risk by issuing more CDS contracts, on average, than
defaultable bonds purchased. The magnitude of speculation is positively correlated with the
underlying risk of the reference entity. As shown in Fig. 7, the difference in the number of
contracts is lower than in the base scenario and initially negative for three countries. Specif-
ically, the initial portfolio composition includes more defaultable bonds than CDSs for
Germany, France, and Portugal and this strategy lasts for 249, 63, and 180 days, respectively.
This less aggressive behaviour of the agent reflects the higher risk aversion.

Lower target of final wealth scenario Under this scenario, we recalibrate the model with
Am = 100, which coincides with the level of the initial wealth, that is the investor does not
want to suffer any loss.

A lower value of Am entails higher willingness to take risks and this is reflected in a
larger level of wealth obtained at the end of the horizon. As shown in Fig. 8, the investor’s
wealth depicts, in comparison with previous scenarios, a higher level of volatility over the
5-year period for all countries.
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Fig. 6 Optimal portfolio shares with high risk aversion – This figure shows the optimal portfolio percentage
shares for each country, when the investor’s risk aversion δ is set to 4.5. The black line is the share of bonds,
the bold black line is the share of credit default swaps, and the bold grey line is the share of the riskless asset

Fig. 7 Number of contracts held in the optimal portfolio with high risk aversion – This figure shows the
evolution of the number of bonds (black line) and CDS contracts (bold black line) held in the optimal portfolio
for each country, when the investor’s risk aversion δ is set to 4.5. The bold grey line is the absolute value of
the difference between the number of CDSs contracts and bonds
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Fig. 8 Wealth evolution with low target on final wealth – This figure shows the evolution of optimal wealth
for each country, when the target on final wealth Amis set to 100

By analysing the composition of optimal portfolios (Figs. 9 and 10), the evolution of the
investment strategy for high-risk countries is very similar to that of the base scenario. The
investor takes long positions in defaultable bonds and issues CDSs; however, for low-risk
countries, two main differences arise: (i) the share of wealth invested in bonds and CDSs at
the beginning of the horizon is larger, and (ii) the overtime substitution effect between risk-
free assets and bonds is nearly null. This is a consequence of more aggressive speculation
on credit risk, which results in a notably larger difference between issued CDSs and bonds
held in the portfolio.

Lower risk aversion scenario In order to examine the optimal portfolio for an
investor with a higher risk appetite, we recalibrate the model with δ set to 1.5 and Am

to 100.
Figure 11 shows the evolution of the investor’s wealth: lower risk aversion results

in larger average values of final wealth with higher volatility. As in previous sce-
narios, portfolios written on riskier countries entail a larger level of wealth for the
investor than safer countries. However, over the 5-year horizon, the volatility increases
mainly for low-risk countries: wealth obtained from the German portfolio depicts an
increase in standard deviation of 200 %, while for the Portuguese portfolio, the increase
is 35 %.

As shown in Fig. 12, the evolution of portfolio shares is similar to other scenarios, with
short selling of both CDSs and risk-free asset and long positions in bonds, while specu-
lation on credit risk is stronger, mainly for France and Germany. As depicted in Fig. 13,
the direct link between underlying risk and magnitude of the speculation does not seem to
hold as in previous scenarios: the largest number of CDSs are issued in German and Italian
portfolios.
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Fig. 9 Optimal portfolio shares with low target on final wealth – This figure shows the optimal portfolio
percentage shares for each country, when the target on final wealth Am is set to 100. The black line is the
share of bonds, the bold black line is the share of credit default swaps, and the bold grey line is the share of
the riskless asset

5 A Static (one-period) optimisation problem

In this section, we present a static (one-period) version of the optimisation problem in order
to understand in a better way the intuition behind the speculative/hedging strategy in a
dynamic framework. Again, three assets are listed in the financial market: (i) a riskless asset
whose price is set to 1 and whose constant return is r , (ii) a bond whose price is set to 1 and
whose return may be low (μ1), high (μ2) or w−1 if default occurs, where w is the recovery
rate, and (iii) a CDS whose price is 0 and costs δX when the issuer of the bond does not go
bankrupt and pays 1 − w otherwise. The initial prices of these assets at time t can be listed
in the following vector

S (t) =
⎡
⎣ 1
1
0

⎤
⎦ , (20)

and their values in t + 1 can be summarised in the following matrix notation

S (t + 1) =
⎡
⎣ 1 + r 1 + r 1 + r

1 + μ1 1 + μ2 w

−δX −δX 1 − w

⎤
⎦ , (21)

where each column contains the values of the corresponding asset in different states of the
world (the third state coincides with the default of the bond’s issuer).
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Fig. 10 Number of contracts held in the optimal portfolio with low target on final wealth – This figure
shows the evolution of the number of bonds (black line) and CDS contracts (bold black line) held in the
optimal portfolio for each country, when the target on final wealth Am is set to 100. The bold grey line is the
difference between CDS and bond contracts in absolute values

In this market, there is no arbitrage if a vector of market prices of risk q > 0 exists such
that ⎡

⎣ 1 + r 1 + r 1 + r

1 + μ1 1 + μ2 w

−δX −δX 1 − w

⎤
⎦
⎡
⎣ q1

q2
q3

⎤
⎦ =

⎡
⎣ 1
1
0

⎤
⎦ .

The unique solution to this system is

q1 = (μ2−r)(1−w)−(1+r−w)δX

(μ2−μ1)(1+r)(1+δX−w)
,

q2 = (r−μ1)(1−w)+(1+r−w)δX

(μ2−μ1)(1+r)(1+δX−w)
,

q3 = δX

(1+r)(1+δX−w)
.

The price in the last state is always positive (w ∈ [0, 1]), while the prices in the two first
states are positive if:

μ2 > r + 1 + r − w

1 − w
δX,

μ1 < r − 1 + r − w

1 − w
δX,

where we assume, without any loss of generality, μ2 > μ1.
If we call θ ′ = [

θG θB θX

]
the vector containing the number of each asset held in the

portfolio, the budget constraint on the initial wealth is given by A (t) = θ ′S (t) = θG + θB

and the value of the wealth in t + 1 is given by A (t + 1) = θ ′S (t + 1). If the constraint
θG = A (t)−θB is substituted into A (t + 1) and we call πi the probability of the ith state of
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Fig. 11 Wealth evolution with low risk aversion and low target on final wealth – This figure shows the
evolution of optimal wealth for each country, when the target on final wealthAmis set to 100 and the investor’s
risk aversion δ is set to 1.5

the world (i ∈ {1, 2, 3}), then the final wealth is a stochastic variable that can be represented
as follows

A (t + 1) =
⎧⎨
⎩

A (t) (1 + r) + θB (μ1 − r) − θXδX, π1,

A (t) (1 + r) + θB (μ2 − r) − θXδX, π2,

A (t) (1 + r) − θB (1 + r − w) + θX (1 − w) , π3.

The optimisation problem for an agent characterised by HARA preferences can be
written as

max
θB ,θX

⎧⎪⎪⎨
⎪⎪⎩

(A(t)(1+r)+θB(μ1−r)−θXδX−Am)1−δ

1−δ
π1

+ (A(t)(1+r)+θB(μ2−r)−θXδX−Am)1−δ

1−δ
π2

+ (A(t)(1+r)−θB(1+r−w)+θX(1−w)−Am)1−δ

1−δ
π3

⎫⎪⎪⎬
⎪⎪⎭

The system of the first-order conditions on θB and θX cannot be solved algebraically.
Thus, in what follows we propose a numerical solution after calibrating the model to
the market data. Nevertheless, before presenting the numerical solution, we show how to
compute the optimal portfolio when there is no CDS in the financial market.

Remark 2 If no CDS exists in the financial market, the agent’s wealth at time t + 1 is given
by

A (t + 1) =
⎧⎨
⎩

A (t) (1 + r) + θB (μ1 − r) , π1,

A (t) (1 + r) + θB (μ2 − r) , π2,

A (t) (1 + r) − θB (1 + r − w) , π3,
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and the optimisation problem can be written as

max
θB

⎧⎪⎪⎨
⎪⎪⎩

(A(t)(1+r)+θB(μ1−r)−Am)1−δ

1−δ
π1

+ (A(t)(1+r)+θB(μ2−r)−Am)1−δ

1−δ
π2

+ (A(t)(1+r)−θB(1+r−w)−Am)1−δ

1−δ
π3

⎫⎪⎪⎬
⎪⎪⎭

.

Again, there is no algebraic solution to this problem and we must resort to a numerical
simulation.

5.1 Calibration

For the riskless interest rate, we take the equilibrium value of its stochastic process (i.e.
br ). The value of δX is taken from Table 2. The default probability (π3) in one period is
estimated through the following relationship

π3 = 1 − e−λ, (22)

where the default intensity λ is substituted by its equilibrium value bλ for each country.
Since we know the expected return under the historical probability of the bond in each

country (i.e. 1
dt
Et [d lnB (t)]), then the unknowns π1, π2, μ1, and μ2 must solve the

following system: {
π1 + π2 + π3 = 1,
π1μ1 + π2μ2 − (1 − w)π3 = 1

dt
Et [d lnB (t)] .

(23)

Fig. 12 Optimal portfolio shares with low risk aversion and low target on final wealth – This figure shows
the optimal portfolio percentage shares for each country, when the target on final wealth Am is set to 100 and
the investor’s risk aversion δ is set to 1.5. The black line is the share of bonds, the bold black line is the share
of credit default swaps, and the bold grey line is the share of the riskless asset
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Fig. 13 Number of contracts held in the optimal portfolio with low risk aversion and low target on final
wealth – This figure shows the evolution of the number of bonds (black line) and CDS contracts (bold black
line) held in the optimal portfolio for each country, when the target on final wealth Am is set to 100 and the
investor’s risk aversion δ is set to 1.5. The bold grey line is the difference between CDS and bond contracts
in absolute values

If the system is solved with respect to π1 and π2 we obtain

π1 = μ2−(1+μ2−w)π3− 1
dt
Et [d lnB(t)]

μ2−μ1
,

π2 = −μ1+π3(1+μ1−w)+ 1
dt
Et [d lnB(t)]

μ2−μ1
.

Now, since both probabilities must be positive, and we can μ2 > μ1 set without any loss
of generality, the following inequalities must hold

μ2 >
(1 − w)π3 + 1

dt
Et [d lnB (t)]

1 − π3
,

μ1 <
(1 − w)π3 + 1

dt
Et [d lnB (t)]

1 − π3
.

Thus, if we assume that μ1 and μ2 are symmetric with respect to the right-hand side of
the previous inequalities, then we can write

μ2 = (1 − w)π3 + 1
dt
Et [d lnB (t)]

1 − π3
+ κ,

μ1 = (1 − w)π3 + 1
dt
Et [d lnB (t)]

1 − π3
− κ.

for any constant κ , and the probabilities become

π1 = π2 = 1 − π3

2
.
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Table 3 The upper part of the table shows the calibrated values of the historical probabilities and the returns
on the bonds for the six countries of the sample. The middle and lower parts show, with and without CDS
respectively, the optimal portfolio, the optimal future wealth in each state of the world, and the optimal
expected utility of the final wealth. The parameters required for computing the numerical solution are r =
br = 0.0106621, δ = 2.5, A (t) = 100, Am = 100, σr = 0.0800704. The values of λ = bλ, δX , and
1
dt
Et [d lnB (t)] for each country are taken from Table 2

France Germany Ireland Italy Portugal Spain

π1 0.4886 0.4940 0.4761 0.4774 0.4663 0.4775

π2 0.4886 0.4940 0.4761 0.4774 0.4663 0.4775

π3 0.0228 0.0120 0.0477 0.0452 0.0674 0.0450

μ1 -0.0476 -0.0584 -0.0073 -0.0163 0.0291 -0.0153

μ2 0.1125 0.1017 0.1529 0.1439 0.1893 0.1449

With CDS

θG 99.08 99.56 97.72 97.68 94.38 97.62

θB 0.92 0.44 2.28 2.32 5.62 2.38

θX 1.37 0.87 2.34 2.60 5.85 2.65

A (t + 1, 1) 101.00 101.03 100.95 100.95 100.92 100.95

A (t + 1, 2) 101.15 101.10 101.32 101.32 101.82 101.33

A (t + 1, 3) 101.33 101.32 101.08 101.21 101.15 101.20

Et [U (A (t + 1))] -0.5995 -0.6038 -0.5792 -0.5774 -0.5143 -0.5763

Without CDS

θG 99.81 99.87 99.64 99.69 99.60 99.68

θB 0.19 0.13 0.36 0.31 0.40 0.32

A (t + 1, 1) 101.06 101.06 101.06 101.06 101.07 101.06

A (t + 1, 2) 101.09 101.08 101.12 101.11 101.14 101.11

A (t + 1, 3) 100.95 100.99 100.85 100.88 100.82 100.87

Et [U (A (t + 1))] -0.6049 -0.6053 -0.6006 -0.6023 -0.5959 -0.6020

In order to define μ1 and μ2, we set κ = σr , where σr is the volatility of the interest rate.
The solutions to the optimisation problem with and without CDSs are shown in Table 3,

in which the following relevant points are highlighted.

1. When a CDS is listed in the market, the expected utility of final wealth is always greater.
Thus, a complete financial market increases the agent’s welfare. This is perfectly in line
with the literature, which demonstrates that even in a long-term model, an incomplete
market leads to a reduction in an agent’s welfare (see, e.g., (Kubler and Schmedders
2001)).

2. The optimal strategy with CDSs is to invest most of the investor’s wealth in the riskless
asset and to buy both bonds and CDSs. Nevertheless, the CDSs are bought in higher
quantities than the bonds, leading to a kind of hyper-hedging. In the case of default,
the CDS allows the investor to recover the notional value of the bonds, but it does not
allow any positive return. Instead, in order to gain a return even in the case of default,
it is necessary to over-buy CDSs, thereby earning more than what is lost because of
default. This intuition is confirmed by the values of the investor’s wealth in the state
of the world when default occurs, allowing for final wealth to be greater than 101
always.
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3. When there is no CDS on the market, the amount of wealth invested in the bonds
is much lower, since it is impossible to hedge against the default. This is apparent
from the value of the optimal wealth in the third state of the world (bankruptcy),
which is always lower than 101. Furthermore, the amount of wealth invested in
the bond is very low for all the countries, even those that have a higher default
probability.

4. If a CDS is present in the market, the amount of wealth invested in the bond is much
higher, and mainly so for riskier countries because of the possibility of hedging against
the higher risk.

In this static model, we are able to replicate the result of the so-called hyper-hedging and
nevertheless, CDSs are purchased. Instead, in the dynamic framework they are sold short.
This difference is due to the very nature of the dynamic problem. In dynamic optimisation,
buying CDSs means that the spread (δX) must be paid while the default does not occur. In
order to be able to pay these negative cash flows, the amount of money invested in other
assets with higher returns must be lower. Thus, this is not optimal from a dynamic point of
view. Instead, if the CDS is sold short, the spread (δX) is a positive cash flow that can be
invested in other assets with a higher return in order to achieve higher final wealth.

6 Conclusion

This study computes the optimal portfolio for an investor who maximises the expected util-
ity of his or her final wealth. The agent invests in a complete market in which a riskless
asset, a defaultable bond and a CDS written on the bond are listed.

Once a closed-form solution of the problem is found, we calibrate our model to mar-
ket data of six European countries in order to assess the behaviour of an investor exposed
to different levels of underlying risk. We find that it is always optimal to issue more
CDSs than bonds that are optimally purchased. The number of CDS contracts optimally
issued is higher for countries characterised by higher sovereign risk. This result is obtained
even when the investor is endowed with a different level of risk aversion. However,
when both risk aversion and the final wealth target are lowered, such a relationship no
longer holds.

Our results suggest that when it is possible to buy CDSs in the so-called “naked” form,
financial institutions have incentives to speculate on the risk of sovereign entities. This
may add support to the notion that speculation in CDSs exacerbated the recent European
sovereign crisis. Consequently, regulatory intervention would be required to increase the
effectiveness of the EU ban on uncovered CDSs.

The numerical application presented in this study assumes that the riskless interest rate
and the default intensity are independent. An interesting extension of this study would
be to analyse the optimal investment strategy when these two state variables are not
independent.

Appendix A: Proof of Proposition 1

The financial market is assumed to be arbitrage-free and complete. In other words, a unique
vector of market prices of risk ξ (t, z) ∈ R

n exists, such that � (t, z)′ ξ (t, z) = μ (t, z) −
r (t, z) 1, where 1 is a vector of ones (i.e. ∃! � (t, z)−1).
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Girsanov’s theorem allows switching from historical (P) to risk-neutral probability Q as
follows:

dWQ (t) = ξ (t, z) dt + dW (t) .

The value in t0 of a cash flow �(t) available at time t can be written as

� (t0) = E
Q
t0

[
�(t)

G (t0)

G (t)

]
=E

Q
t0

[
�(t) e

− ∫ t
t0

r(u,z)du
]
=Et0

[
� (t) m (t0, t) e

− ∫ t
t0

r(u,z)du
]
,

(24)

where Et0 [•] and E
Q
t0
[•] are the expected value operators under historical (P) and risk-

neutral (Q) probabilities respectively, conditional on the information set at time t0, and the
martingale m (t0, t) solves

m(t0, t)
−1 dm (t0, t) = −ξ (t, z) dW (t) ,

where m(t0, t0) = 1.
We solve problem (8) through the martingale approach. Given constraint (9), its

Lagrangian function is

L = Et0

[
(A (T ) − Am)1−δ

1 − δ
e
− ∫ T

t0
ρ(u)+λ(u)du

]

+ κ

(
A (t0) − Et0

[
A (T )m (t0, T ) e

− ∫ T
t0

r(u)+λ(u)du
])

, (25)

where the functional dependencies on z have been omitted for the sake of simplicity, κ

is the constant Lagrangian multiplier, and all the expected values have been written under
historical probability. The first order condition on final wealth is

∂L
∂A (T )

= Et0

[
(A (T ) − Am)−δ e

− ∫ T
t0

ρ(u)+λ(u)du − κm (t0, T ) e
− ∫ T

t0
r(u)+λ(u)du

]
= 0,

(26)
and optimal final wealth is

A∗ (T ) = Am +
(

κm (t0, T ) e
− ∫ T

t0
r(u)du

e

∫ T
t0

ρ(u)du
)− 1

δ

. (27)

When the constraint is rewritten at time t instead of t0 as follows

A (t) = Et

[
A (T )m (t, T ) e−∫ T

t r(u)+λ(u)du
]
, (28)

and optimal final wealth is substituted in it, we obtain the following expression:

A (t) =
⎛
⎝κm (t0, t)

e
− ∫ t

t0
r(u)du

e
− ∫ t

t0
ρ(u)du

⎞
⎠

− 1
δ

F (t, z) + H (t, z) (29)

where

H (t, z) = E
Q
t

[
Ame−∫ T

t r(u)+λ(u)du
]
, (30)

F (t, z) = Et

[
m(t, T )1−

1
δ e

−∫ T
t

(
δ−1
δ

r(u)+ 1
δ
ρ(u)+λ(u)

)
du
]

. (31)



106 J Financ Serv Res (2018) 54:81–109

While m(t, T )1− 1
δ is not a martingale, m(t, T )1− 1

δ e
1
2
1
δ

δ−1
δ

∫ T
t ξ(s)′ξ(s)ds is. In fact, it can

be written as a drift-less diffusion process:
(
m (t, T )1−

1
δ e

1
2
1
δ

δ−1
δ

∫ T
t ξ(s)′ξ(s)ds

)−1
d
(
m(t, T )1−

1
δ e

1
2
1
δ

δ−1
δ

∫ T
t ξ(s)′ξ(s)ds

)

= − δ − 1

δ
ξ (T ) dW (T ) . (32)

Accordingly, we define the new probability

dW (t)Qδ = δ − 1

δ
ξ (t) dt + dW (t) , (33)

and write

F (t) = E
Qδ
t

[
e
−∫ T

t

(
δ−1
δ

r(u,z)+ 1
δ
ρ(u,z)+λ(u,z)+ 1

2
1
δ

δ−1
δ

ξ(u,z)′ξ(u,z)
)
du
]

. (34)

The differential of (29), through Ito’s lemma, is:

dA (t) = (...) dt + 1

δ

(
κm (t0, t) e

− ∫ t
t0

r(u)du
e

∫ t
t0

ρ(u)du
)− 1

δ

F (t, z) ξ (t, z)′ dW (t)

+
(

κm (t0, t) e
− ∫ t

t0
r(u)du

e

∫ t
t0

ρ(u)du
)− 1

δ

Fz (t, z)′ �(t, z)′ dW (t)

+Hz (t, z)′ �(t, z)′ dW (t) , (35)

where the drift term is neglected since it is immaterial to replication, and the subscripts on
F (t, z) and H (t, z) indicate partial derivatives. Once the following relationship

A (t) − H (t, z)

F (t, z)
=
(

κm (t0, t) e
− ∫ t

t0
r(u,z)du

e

∫ t
t0

ρ(u,z)du
)− 1

δ

, (36)

is suitably taken into account, the differential equation for A (t) becomes

dA (t) = (...) dt +
(

A (t) − H (t, z)

δ
ξ (t, z)′ + A (t) − H (t, z)

F (t, z)
Fz(t, z)

′�(t, z)′

+Hz(t, z)
′�(t, z)′

)
dW(t) . (37)

When � (t, z) ISθS (t) is set equal to the diffusion term of (37), the optimal portfolio in
Proposition 1 is found.

B: Computation of Et

[
(1 − χ + χy (T )) e−∫ T

t y(s)ds
]

If the stochastic variable y (t) follows the process

dy (t) = a (b − y (t)) dt + σ
√

y (t)dW (t) ,

y (t0) = y0,

then the expected value

V (t, T ) = Et

[
(1 − χ + χy (T )) e−∫ T

t y(s)ds
]
,
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must solve the partial differential equation

∂V

∂t
+ ∂V

∂y
a (b − y) + 1

2

∂2V

∂y2
σ 2y = yV, (38)

with boundary condition

V (T , T ) = 1 − χ + χy (T ) ,

where the parameter χ can take value either 1 or 0. Now, we use the guess function

V (t, y) = (E (t) + F (t) y) e−A(t)−C(t)y,

where the functions A, C, E, and F must be computed in order to solve the differential
Eq. (38). The boundary condition implies the following conditions:

E (T ) = 1 − χ,

F (T ) = χ,

A (T ) = 0,

C (T ) = 0.

Once the partial derivatives of V are substituted into (38), we obtain

0 =
(

∂E

∂t
+ ∂F

∂t
y

)
+ (E + Fy)

(
−∂A

∂t
− ∂C

∂t
y

)

+ (F − (E + Fy)C) a (b − y)

+1

2

(
−2CF + (E + Fy)C2

)
σ 2y − y (E + Fy) ,

where the functional dependencies have been omitted for the sake of simplicity. Since
this equation must hold for any value of y, we can split it into three ordinary differential
equations as follows ⎧⎨

⎩
0 = ∂E

∂t
+ Fab − E (At + Cab) ,

0 = ∂F
∂t

− F (At + Cab) − Fa − CFσ 2,

0 = − ∂C
∂t

+ aC + 1
2C

2σ 2 − 1.
(39)

We immediately see that the value of function C (t) can be obtained from the third equa-
tion. With the suitable boundary condition, the only solution of the differential equation for
C (t) is given by

C (t) = 2
1 − e−

√
a2+2σ 2(T −t)

√
a2 + 2σ 2 + a +

(√
a2 + 2σ 2 − a

)
e−

√
a2+2σ 2(T −t)

.

The values of all the other functions can be written in terms of C (t). Now, if we want to
compute the probability to be solvable, we must set E = 1 and F = 0, and the function A

should accordingly solve

0 = ∂A

∂t
+ Cab,

with the boundary condition A (T ) = 0. The only solution of this ordinary differential
equation is

A (t) = ab

∫ T

t

C (s) ds.
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Given this value for A (t), the two first equations of system (39) become

0 = ∂E (t)

∂t
+ F (t) ab,

0 = ∂F (t)

∂t
− F (t)

(
a + C (t) σ 2

)
.

We now compute the value of F from the second equation and obtain

F (t) = χe−∫ T
t

(
a+C(s)σ 2

)
ds .

The value of E can then be computed from the first equation

E (t) = 1 − χ + ab

∫ T

t

F (s) ds.

Finally, we can write

V (t, T ) =
(
1 − χ + χab

∫ T

t
e−∫ T

s

(
a+C(u)σ 2

)
duds + χe−∫ T

t

(
a+C(u)σ 2

)
duy (t)

)

× e−ab
∫ T
t C(u)du−C(t)y(t).
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