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Abstract

In today’s competitive marketplace, to increase customer satisfaction and profitability,
supply chain management has become more prominent. Therefore, thorough planning
and designing the supply chain by seeing all levels and units are essential to growing the
efficiency of the entire supply chain. In the present study, an eight-echelon network is
designed for a closed-loop agricultural supply chain. These eight echelons are consisting
of suppliers, farms, distribution centers (DCs), customers, recycling depots, biogas centers,
compost production centers, and biogas applicants. To design the agricultural logistics net-
work, a bi-level programming mathematical model is presented. The first objective seeks to
minimize total costs of the upper-level which consist of shipping costs, construction costs,
production costs, inventory holding costs, and buying costs. Besides, the second objective
attempts to maximize total profits of the lower-level using subtraction of incomes from the
costs which the total income is calculated by selling manufactured biogas and compost
to its applicants. Since the bi-level programming problems are part of the NP-hard class
and due to the computational complexity of the problems, the meta-heuristic algorithms
are utilized to solve the formulated problem. To this end, two meta-heuristics consisted
of Genetic Algorithm (GA) and Stochastic Fractal Search (SFS) are employed. Moreover,
two hybrid metaheuristics created from these algorithms which include GA-SFS and SFS-
GA are suggested to search for more appropriate solutions. Finally, various comparisons
and analyses are performed to evaluate the model’s performance and the capabilities of the
solution methods and the results showed the superiority of SFS-GA over other methods.
Also, the results imply that considering biogas and compost can not only prevent environ-
mental pollution, but also lead to profitability and the production of new products. There-
fore, using this plan in countries that have agricultural products and also do not produce
fossil fuels can be more attractive and practical.
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1 Introduction

Today, organizations seek to take advantage of the benefits of proper supply chain manage-
ment to maintain their position in the market, create a competitive advantage and reduce
costs, and generally improve the efficiency of their supply chain. Decision-makers and
managers may have strategies in place to stay alive in this condition, but the favorite result
will only be achieved if an accurate and comprehensive plan is used. Therefore, a detailed
network design and principled supply chain planning with all levels and units in mind to
increase the efficiency of the entire supply chain seem necessary (Delgoshaei et al., 2021;
Tirkolaee et al., 2022a, 2022b).

Return products management, on the other hand, is a complex issue that requires deci-
sion-making at the strategic and operational levels. Problems that need to be addressed
at the strategic level include determining the type of facilities needed and their location,
the volume of recyclables that can be controlled or planning the flow of recycling materi-
als (Khalilpourazari et al., 2021; Rahbari et al., 2022). On the other hand, issues related
to operational planning include issues such as the time interval between recycling collec-
tion times, the number and capacity of vehicles, the relevant routing issue, and the number
of workers required. Despite the close relationship between these two types of decisions,
their analysis and review are usually done separately. Strategic decisions often have to be
answered through political and governmental issues, while operational decisions need to be
considered at lower levels, such as at the municipal level. Therefore, issues related to recy-
cling management should be considered in the case study of different types of products in
different locations (Cheraghalipour et al., 2020; Tirkolaee et al., 2021).

Reverse logistics and closed-loop supply chains are some of the most important and
vital aspects of any business and include the construction, distribution of services, and sup-
port for any type of product. In developed countries today, industrial, governmental, com-
mercial, and service organizations focus on reverse logistics processes and supply chain,
which play an important role in creating the true economic value of goods and services
while supporting environmental considerations (Ranjbar & Mirzazadeh, 2019). This focus
is now increasing in all markets, including the industrial and advanced technology, com-
mercial and consumer products sectors. Recent literature has shown that today, product
returns are not only costly but also a means of creating value. Examples include preserving
the environment, providing core resources, and increasing customer value. That potential
revenues are usually greater than the costs incurred to create the necessary measures for
return channels (Krikke et al., 2013; R. Lotfi et al., 2022).

On the other hand, agricultural products are one of the most important elements of the
food basket of the people of the world. Iran is one of the first countries in the world where
agriculture has started. According to the statistics of the ‘Iranian Agricultural Jihad,” about
one-third of Iran’s land is agricultural, but due to poor soil and inadequate water distri-
bution in most areas, only 12% of Iran’s land is cultivated (including gardens, vineyards,
and agricultural lands). 63% of arable land is still intact. In Iran, 50-60% of the capacity
and talent of the lands under agricultural operations (185,000 square kilometers) are used.
Iran’s arable land is estimated at sixteen million hectares, of which about half is irrigated
and the other half is rainfed (Agriculture Jihad, 2016). The agricultural supply chain today
has a very important role in supply chain issues because of its unique structures such as the
significance of food features, climate change, price changes, and the importance of sup-
ply—demand. In the classification of these topics, products are divided into two categories
of perishable and non-perishable (such as grain and dried products). Also, in terms of the
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life cycle, they are divided into two categories: agricultural and horticultural crops (Chera-
ghalipour et al., 2018).

In recent years, the importance of the issue of agricultural products has grown signifi-
cantly with increasing demand from concerned customers for a healthy diet (Weber et al.,
2015). This has made quality and availability two important issues in all months of the year
(Paksoy et al., 2012). In the last 10 years alone, the agri-food industry in general and the
fresh fruit sector, in particular, have been recognized and discussed in the supply chain as
a key concept for competitiveness (Tsolakis et al., 2014). Numerous studies have addressed
and covered the issue of agricultural supply chain issues; but in our research, we found a
research gap in the reverse logistics of products, a big problem that causes a lot of damage
to this chain every year. This problem, which is the decay of products, is covered in the
reverse logistics section of our proposed network. Since a significant number of manufac-
tured products in the stages of production, distribution, target markets, etc., are decayed and
unusable, it is felt that to reduce the costs of these wastes and reuse them, it is necessary
to develop and analyze a closed-loop supply chain network design model (Tirkolaee et al.,
2022a, 2022b). It is very necessary and important to consider these concepts together.

In recent years, the design of the logistics network in the supply chain has become more
important than in the past. Considering the issue from the perspective of several decision-
makers, issues related to returned products, and the production of added value such as com-
post and biogas in the supply chain are of great importance today and have attracted the
attention of many researchers. For this purpose, sufficient explanations will be provided in
the present research. This study tries to develop a practical model for designing an agricul-
tural supply chain network as much as possible, taking into account the limitations of the
real world. Therefore, considering the waste and corrupted products in the agricultural sup-
ply chain, it will provide a network to collect these returns to reduce the costs of the chain
and generate potential revenues from them. For this purpose, an eight-echelon network is
designed for the agricultural supply chain. The suppliers are the first echelon. Farms are the
second echelon to produce crops. In the third echelon, some DCs buy agricultural products
from farms and send them to customers in the fourth echelon after processing. It should
be noted that this network has been in operation for multiple periods, so in echelons 2—4,
some of the products will become waste. These waste materials are transported to the fifth
echelon for the depot, and according to management decisions, some of which are trans-
ferred to biogas production (echelon 7), and some are sent to the production of biological
fertilizers (echelon 6). Finally, these biogas and biological fertilizers are sent to customers
in the eighth echelon and the suppliers in the first echelon, respectively. Due to the com-
putational complexity of the large-scale real-world problems, meta-heuristic algorithms
are developed. Finally, various comparisons and analyses are performed to evaluate the
model’s performance and the capabilities of the solution methods. The general purpose of
this study is to present a bi-level programming model and evaluate the efficiency of the
closed-loop agricultural supply chain network proposed in the case study; and the special
purpose of this research is to achieve an efficient method for reuse of supply chain waste
in the reverse logistics sector and return of this waste to the supply chain, which will add
value to this waste. This is done by making compost and biogas. To this end, two goals
such as minimizing total costs and maximizing total profits are considered.

Bi-level programming problems, in the simplest form, those mathematical models for
the leader and the follower are linear and their decision variables are continuous, can be
converted into a MIP problem. In this case, by using the Karush—Kuhn—Tucker (KKT) con-
ditions, the follower model can transform into a series of constraints. Then, by placing
them into the constraints of the leader, a nonlinear model is created. This nonlinearity is
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due to the constraints of the complementary slackness. By using binary variables, these
terms can be linearized to create a Mixed Integer Programming (MIP) model (Shams
Shemirani et al., 2021). But this model can only be solved in small sizes, and as the num-
ber of variables and constraints of followers increases, the number of binary variables also
will increase. Computational experiences have indicated plenty of computational time will
be needed. In the state that the possible values for the leader’s decision variables are dis-
crete and the number of possible states for them is not high, we can identify the optimal
solution using the KKT method. If the number of possible solutions is high for the leader,
then the computational time of this method will be very long and time-consuming. Moreo-
ver, the Np-hardness of the bi-level programming problems is proved in (Ma, 2016; Talbi,
2013) which is the main reason for using these metaheuristics. Because there has not been
an exact method that can identify the optimal solution for a variety of bi-level optimiza-
tion problems in an acceptable time, designing a method that can identify optimal or near-
optimal solutions in a short time is crucial. In this paper, using metaheuristic algorithm,
and concepts of bi-level optimization, we introduce some nested bi-level algorithms that
can find optimal or near-optimal solutions in a variety of bi-level optimization problems.
Problems in which models of leader and follower can be solved using methods of LP, NLP,
MIP, and MINLP in a relatively short time.

Compared with the traditional single-level programming models, the bi-level program-
ming models have more advantages. The main advantages are that (1) the bi-level pro-
gramming can be used to analyze two different and even conflict objectives at the same
time in the decision-making process; (2) the multiple-criteria decision-making methods of
bi-level programming can reflect the practical problem better, and (3) the bilevel program-
ming methods can explicitly represent the mutual-action between the system managers and
the customers (Sun et al., 2008).

Besides, given the location problem of distribution centers, where distributors seek to
reduce the costs of their entire supply chain, and on the other hand, biogas production cent-
ers that seek to maximize profits from the sale of biogas, this issue is placed in a bi-level
programming class. Obviously, it is appropriate that the bi-level programming model is
adopted to describe this proposed problem. Here two decision-makers are managers of dis-
tribution centers and biogas production centers, each with separate goals for their levels.
Therefore, by analyzing the results of this study, these two decision-makers benefit more,
because they can understand the behaviors of other interconnected levels and use appropri-
ate planning to achieve the goals and interests of their organization.

In this section, the introduction and generalities of the subject, including a brief state-
ment of the problem, necessity, and goals, were stated. Section 2 describes the literature of
the subject, and at the end of this section, research gaps are expressed. In the third section,
the proposed problem and model formulation are explained. Section 4 represents the solu-
tion approach. The numerical examples are reported in Sect. 5. Sections 6 and 7 represent
the computational results and conclusion, respectively.

2 Literature review

This section expresses the relevant concepts and reviews the research conducted in the
field of the agricultural supply chain, multi-level programming, and agricultural waste. At
the end of the section, the works are summarized and categorized in the form of tables to
explain the research gaps.
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2.1 Agricultural supply chain

The supply chain of agricultural products today has a very important role in supply
chain issues due to its unique features such as the importance of food quality, the impor-
tance of supply—demand, climate change, and price changes. As a pioneer in this field,
van Berlo (1993) measured activities associated with the vegetable processing supply
chain, which included the stages of planting, harvesting, processing, and marketing,
and used in a mathematical model using a goal programming approach. Their model
included farmer decisions to reduce chain costs and did not include location decisions.
After this research, the process of using operation research in agriculture continued.
For example, Jolayemi (1996) planned agricultural planning for multi-regional harvests;
Allen & Schuster (2004) estimated investment and harvest to reduce crop losses using
a nonlinear model in vineyards. And Rantala (2004) provided a supply chain model for
seedlings that sought to minimize production and transportation costs to meet customer
needs. As progress in research gradually became more advanced, additional assump-
tions such as product quality and shipping process were considered. For example, Ferrer
et al. (2008) developed a model for deciding on harvest per season, shipping process,
processing of products, and packaging in the form of a mixed-integer model (MIP) for
red grapes. Their model is designed only for post-harvest planning to meet customer
demand and also takes into account the cost of harvesting and reducing the quality of
the product.

The expansion of problems in the agricultural supply chain is taking place with an
evolutionary trend so that recently Cheraghalipour et al. (2018) developed a multi-ech-
elon network for the citrus supply chain and using several meta-heuristic algorithms
attempt to balance the chain costs and customer demand. Also, in another study, Chera-
ghalipour et al. (2019) sought to create a bi-level network for the rice supply chain,
which reduces the cost of the chain from the perspective of two decision-makers. They
used nested evolutionary algorithms to solve their proposed problem and performed
management insights and sensitivity analysis on specific parameters. In addition, Ander-
son & Monjardino (2019) considered a kind of discount in their formulation and tried
to reduce the price of wheat by using the contact structure. They validated their struc-
ture using a case study in Australia and reported that the contract was closely related to
manufacturers’ risk aversion. Also, Carvajal et al. (2019) used a robust programming
method for the sugarcane sector in Colombia to optimize plant profits and make several
tactical and strategic decisions.

In an article, Gardas et al. (2019) added value to the present data-based industry by
identifying the challenges of the agricultural supply chain in India based on a careful
review of the literature and the Delphi method. Therefore, laboratory and experimental
decision-making methods were used to model the identified challenges, explore cause-and-
effect interactions, and improve hierarchical configurations of challenges through inter-
pretive structural modeling. The execution of this method led to the conclusion that two
elements, namely limited integration into national agricultural markets and limited agricul-
tural market infrastructure, are the most important factors. The integrated model obtained
as a result of this study aims to guide agricultural policies and decision-makers to improve
the performance of the agricultural supply chain in India. There are also some basic recom-
mendations for improving the efficiency of agricultural supply chain management.

Recently, Dai & Liu (2020) conducted an in-depth study of the supply chain risk of
large retail companies and then introduced the dock of agricultural supermarkets for the

@ Springer



A. Cheraghalipour, E. Roghanian

supply chain in the big data environment. In this study, big data was used to analyze the
potential risk in the agricultural supply chain in large retail companies. From the aspects
of production, processing, distribution, retail, and consumption, this research introduces
new risks in the supply chain of agricultural supermarkets after the introduction of big
data. In the second stage, qualitative analysis and quantitative calculation are combined
to perform the risk assessment. Through experimental analysis, the ranking of all risk
factors was obtained and the corresponding fuzzy assessment grade and risk assessment
criteria were given. Through expert evaluation, a new risk rating was obtained, which is
not much different from the results of the experimental analysis, and the experimental
results were confirmed. Therefore, the development of this study is useful to avoid the
risk of connecting the supply chain of agricultural supermarkets.

Yan et al. (2020) also proposed a way to coordinate an agricultural supply chain with
tactical purchaser behavior in mind. According to the characteristics of the supply chain of
agricultural products, the beneficial performance of consumers was provided and under the
integrated chain, this study focuses on the effect of consumer behavior on decision-making
in the supply chain. Therefore, it counts the tactical activities of strategic users as a risk
aversion factor and examines the effect of user risk on supply chain decision-making. Also,
two coordination contracts based on income sharing and wholesale prices are designed for
decentralized decision-making in the agricultural supply chain. Finally, through numerical
analysis, the sensitivity analysis of some of the main parameters in the model is performed.

2.2 Multi-level programming

Multi-level programming was first proposed by Bracken & McGill (1973, 1974a, 1974b) as
a generalized mathematical programming model. Then, their different models were exam-
ined and used by researchers. But in recent years, these methods and applications have
been studied more seriously and extensively. The main concept of the multi-level program-
ming method is that the upper-level decision-maker determines his goal or decision and
then demands the desired limit from each sub-level, which is calculated alone. Then, the
lower-level decisions are presented and modified by the upper-level according to the profit
or the total amount obtained. This process continues until a satisfactory solution is reached.
In these types of issues, the upper-level decision-maker does not have the authority or
ability to decide on all decision variables. The design of financial management networks,
transportation, and production planning are among the issues in which this method is used
(Behnia et al., 2019). The general model of multi-level programming can be presented as
follows (Migdalas et al., 1998).

In relation (2), P, is known as the first-level problem and is equivalent to the upper-level
in the hierarchical structure. The decision-maker at this level controls the decision variable
x; and the objective function of his level to minimize f;. Similarly, P, is the problem of the
kth level and corresponds to the lowest level of the hierarchy. If the problem consists of
only two lines, it is called a bi-level programming model. In this case, the decision-makers
of the upper and lower levels are called leader and follower, respectively.

Leader—follower hierarchical decision-making problems were first raised by Stackelberg
(1952), which he called bi-level programming problems. These issues have two levels that
the first level decision-maker implements his decision on the second level, observes the
reaction of the second level, and intends to optimize his objective function. The second-
level decision-maker also observes the first-level decision and makes a logical decision to
optimize its objective function.
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(P ) minimize f,(x, x,, ..., X;)
177\ subject to g;(x;, Xy, ..., X)) < 0

where x, solves

( ) minimize f; (X, X,, ..., X;)
2)') subject to g,(x;, Xy, .-y X;) < 0 )

where x; solves

minimize (X, Xy, ..., X;)
(Pk){ KX Xo k

subjectto g, (x;, X5, ..., x;) <0

In general, the following characteristics can be provided for a bi-level programming
model:

Each decision-maker directly controls only certain variables.
Different levels of decision-making are influenced by the decisions and activities of
other levels, but each is trying to optimize its own decisions.

e Upper-level and lower-level decision-makers know each other’s level goals and con-
straints.

e [Lower-level is required to implement upper-level decisions and implementation of
decisions is from top to bottom.

e The goals and decision-making space of each level can be influenced by other level
decisions.

The bi-level programming problem is an NP-hard problem (Bard, 1991). However,
due to its many applications in practice, many methods have been proposed to solve it.
Methods for solving this problem can be divided into five categories, which are pre-
sented in Table 1.

Table 1 Classification of different methods for solving multi-level programming problem

Method title A brief description

General methods Those algorithms that do not get caught in local optimal solutions and
get global solutions

Counting methods The general idea is that the optimal solution is one of the vertex points.
These methods are specific to linear bi-level programming problems
and obtain the exact optimal solution

Matching the lower-level methods In these methods, the problem is replaced by the KKT optimization
conditions or the penalty function, so that the lower-level problem
becomes a constraint on the main problem

Fuzzy methods The general idea in this group of methods is to define the belonging
function for objectives, constraints, variables, or a combination of
them at each of the problem levels

Meta-heuristic methods These methods are not exact methods and provide an approximate
solution or optimal solution, which also has a good computational
complexity. Tabu Search, artificial intelligence, PSO algorithm, and
ant colony algorithm are in this category
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2.3 Agricultural waste

Pesticides and agricultural wastes are the most dangerous contaminants in water and
soil that remain in the environment for years and cause irreparable damage to life. On
the other hand, effluents from the agricultural sector are one of the most harmful sources
of environmental pollutants that dangerously affect the health of the environment and,
consequently, the quality of citizens’ life. Agricultural waste arises from production
activities in the agricultural sector, which include waste, animal carcasses, and rotten
agricultural products, pesticides, and chemical fertilizers (Chavez et al., 2018). Accord-
ing to statistics released by the FAO, about 30% of agricultural products worldwide are
turned into waste, and the value of this volume of waste is estimated at $ 5 billion per
year. Iran is known as one of the leading countries in the field of agricultural waste and
has a high ranking compared to other countries in the same category. Waste from dates,
figs, wheat, rice, wheat bran, barley bran, tomatoes, and legumes such as green pea,
beans, corn, and other crops can be good sources for reproduction. Therefore, according
to the mentioned importance, agricultural waste is an important and vital issue that must
be addressed and prevented from entering the environment. Therefore, this study will
consider the destruction of agricultural waste from the proposed supply chain by con-
sidering the production of biogas and compost. In the following, we will review some of
the research conducted in the field of agricultural waste.

Xiong et al. (2020) in a study examined the possibility of consuming agricultural
waste and synthetic macromolecules as sources of solid carbon and investigated the
effects of improving nitrogenating through nominated agricultural wastes. The capac-
ity of carbon release and disinfection performance of corn, peanut shell, worn rice, and
other materials were systematically analyzed. The results showed that for each carbon
source, the first-order kinetic equation is fundamentally monitored during the carbon
emission process. Synthetic polymers are more suitable for nitrogen removal in ground-
water filtration, while agricultural wastes are ideal carbon sources for secondary waste-
water filtration. Also, Fareed et al. (2020) stated that every year, as a result of energy
production activities, large amounts of agricultural waste ash are produced from crop
residues. The disposal of soil and ash produced has serious environmental and health
problems, which are primarily due to groundwater pollution. In addition, the unavail-
ability of land for further evacuation is another major problem associated with it. Due
to the problems related to agricultural waste ash, in their study, three types of nano-
agricultural waste ash were used to modify the adhesive and asphalt mixture. Rice husk
ash, sugarcane stem ash and wheat straw ash were first reduced to nanoscale using a
mill. These samples were then mixed with asphalt connector in terms of joint weight.
Then, all samples of modified adhesive were tested from different perspectives. From
the results, it can be concluded that the combination of each of the nano-waste ashes in
the adhesive and asphalt mixture is a sustainable and environmentally friendly method
for its disposal.

In another study, Mo et al. (2020) investigated the use of solid agricultural waste in
concrete production. According to them, the increase in construction activities has led
to the rapid depletion of natural resources, especially aggregates used in the produc-
tion of concrete. Also, a large amount of solid waste is produced from the agricultural
industry, especially from the Southeast Asian region, such as palm and coconut shells.
Therefore, their study investigated the feasibility of these wastes as a potential alter-
native to conventional aggregates in concrete. The durability of concretes, especially
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those containing recycled waste, is often investigated. Therefore, their article seriously
examines the published findings on the durability properties of concrete containing
these agricultural wastes. Moreover, Adebisi et al. (2020) observed that the production
of silicon by conventional processes is complex and occurs at very high temperatures.
Therefore, in their research, some agricultural wastes have been used to produce sili-
con in a very simple way. Agricultural waste is generated and disposed improperly in
the environment, and this is an environmental challenge. Burning them produces gases
that can affect the weather. The United Nations has called on all governments to work
together to reduce climate change. On the other hand, the potential of Nigerian solar
energy encourages investment in photovoltaic technology, which requires silicon, and
their study aims to develop an alternative application for some agricultural wastes as
potential sources of silicon.

Due to a large number of researches in this field, the following paragraph can be sum-
marized. Heniegal et al. (2020) studied the properties of clay bricks containing refinery
sludge and agricultural waste. Zhang et al. (2020) presented a study to maximize the use
of agricultural waste in high-density polyethylene composites. Bhat et al. (2020) produced
low-cost, catalyst-free, high-performance super-capacitors based on porous nano-carbons
from agricultural waste. Kapoor et al. (2020) evaluated the value of agricultural waste for a
biogas-based circular economy in India.

2.4 Research gaps

To provide a broader literature review to find the research gaps, a summary of some arti-
cles related to the agricultural supply chain is provided in Tables 2 and 3. For this purpose,
articles published in international journals, library resources, and reputable scientific sites
in different years until 2020 have been used to collect information. The Elsevier, Springer,
Taylor & Francis, and John Wiley databases have also been selected as reliable and easier-
to-access databases. Keywords including food supply chain, agricultural supply chain, per-
ishable products, and fruit supply chain have been searched. For this purpose, 30 articles
completely related to the subject of this research were selected and reviewed based on vari-
ous factors to reveal the gaps.

Using the properties of Tables 2 and 3, we describe the gaps of the past researches. As
it is shown in the table, 47% of these detailed research works used exact methods and then
meta-heuristic algorithms with 40% took the second place of the used solution approach.
However, simulation methods comprise only 13% of these studies. Therefore, exact and
meta-heuristic algorithms have received more attention, which indicates the efficiency of
these methods.

Also, 100% of these research works focused on forwarding flow, and only 7% of these
research works considered both reverse flow and closed-loop mode. On the other hand,
some layers of the network, such as recycling facilities, have only covered 7% of these
research works. Therefore, these gaps, including close-loop, reverse logistics, and recycling
facilities, need to be addressed in future works. In terms of the objective function, cost
minimization covers 57% of these cases, which indicates the importance of this economic
objective function. On the other hand, other important goals such as demand responsive-
ness and emission aspects have received very little attention. It is also evident that studies
on apples and pears accounted for 20% of these studies, and other areas were less consid-
ered. Also, assumptions such as multi-product, bi-level, compost, and biogas with 30%,
3%, 7%, and 0% were less considered and should be covered. On the other hand, items
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such as strategic, planting, inventory, and multi-vehicle with 37%, 30%, 37%, and 7%
received less attention, respectively, and should be covered. Therefore, the innovations of
this research can be listed as follows.

e Designing a new bi-level mathematical model for the closed-loop agricultural supply
chain
Reuse of agricultural waste to produce compost and biogas
Introducing new, efficient, and effective nested hybrid metaheuristics for model analy-
sis

e Providing several numerical examples to validate the proposed model

3 Problem definition

In the desired supply chain, raw materials such as fertilizers and pesticides are supplied by
various suppliers and delivered to farms. Farms send the final products to distribution cent-
ers (DCs) after production. Also, some of the products can be sent directly from the farms
to the customer areas in the form of retail, which will be possible only for a limited period
due to the lack of proper storage of these products by the manufacturers. An overview of
the problem under study is shown in Fig. 1.

Most agricultural products are stored in warehouses or, if necessary, in the cold stores of
DCs and are sent to customer areas at different times. Depending on their type (fruits, veg-
etables, nuts, etc.), these products are damaged and corrupted in the sectors of farms, DCs,
and customer areas (such as fruit and vegetable markets), and these corrupted values are

Farms /_ "“ﬁCS\SUSmmers

)

E—e= ) \ N / —,.43_,@( ,}J
Suppliers |_ N v Y )
‘/; (j N I . 7
'\ l‘ b % $ ;&@
w N 1 /
N

T ~ R,
Recy:cling (-l-ei)ot O\ Biogas

&S

Biogas applicants

Fig. 1 Scheme of the desired closed-loop agricultural supply chain network
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collected in inverse flow by the recycling depots. These wastes are sent from the recycling
depot to the two sections for making biological fertilizers (compost) and the section for
making biogas. The quantities of these shipments, depending on the type of waste materi-
als, if they are not capable of producing biogas, are transferred to the biological fertilizer
production department, and in practice, the quantities of these shipments are determined
using a percentage coefficient. The corrupted products are transferred to the biogas produc-
tion department and after the production of gas, this energy is sent to the applicants. Also,
during the production of biogas, the obtained wastes are transferred to the production of
biological fertilizers, so that after the production of natural fertilizers, these products are
transferred to the suppliers of pesticides and agricultural fertilizers. Since various products
and materials are needed to produce biogas, some of them can be covered by this proposed
chain and the rest can be provided by other wastes of supply chains.

Biogas is a type of fuel gas that is a mixture of 65% methane (CH4) and 35% carbon
dioxide (CO2). Biogas is a renewable energy source from agricultural products or ani-
mal manure. Biogas is the result of the fermentation process, which means the process of
degrading organic matter using micro-organisms is known as anaerobic organisms. This
process takes place in special tanks in which materials with heat and enzymes are decom-
posed in absence of oxygen. Biogas has several advantages:

1. Produces clean fuel.
2. These gases do not emit, so they do not cause pollution.
3. Itis very efficient.

This product has another advantage because it produces scum and the remaining scum
is used as biological fertilizer. However, biogas also has disadvantages:

1. Steals land and farms available to farmers to produce crops.
2. The cost of building biogas power plants is sometimes high.

Here, the closed loop mode is quite evident. In the middle part of Fig. 1, part of the
recycled materials is delivered to the suppliers of the primary supply chain and part of
them leave the primary chain and are transferred to the biogas production centers in the
other supply chain. In this issue, it is assumed that initially, there are the number of DCs
and recycling depots, and the status of other network facilities, including the reverse logis-
tics sector in the network design process, is determined, and the location of facilities is
considered. Decisions regarding the opening and closing of the facility may change during
the course.

The problem can have two levels of decision-making. On one level, the main agricul-
tural products are considered by one decision-maker and at the next level, the products
of the stage of the reverse logistics will be considered by the second decision-maker. In
summary, a bi-level programming model is proposed for the design of the closed-loop
agricultural supply chain network (see Fig. 2). In this proposed model, decisions are made
regarding the location and allocation of facilities, the amount of material and products flow
between facilities in the supply chain, items related to strategies for selecting the type of
vehicle, and other items.

Given the extent of the proposed problem and the use of the closed-loop network, stra-
tegic issues, and considering several goals in bi-level programming, modeling and prob-
lem solving will have their complexities and challenges. Multi-level supply chain network
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Upper Level

Supplier

Recycling depots

1
1 .
| Compost production }4— Biogas

Biogas applicants

Lower Level T --—o o mmmm——== -

Fig.2 Two main levels of proposed network in regards two DMs

design problems are among the NP-hard problems (Cheraghalipour et al., 2019) and the
problem described has different dimensions and complexities. Therefore, solving it in a
reasonable time, especially in medium and large sizes, will face problems, and appropriate
problem-solving methods must be developed. Depending on the mathematical model and
structure of the problem, these solution methods can include nested bi-level meta-heuristic
algorithms.

3.1 Assumptions

The main assumptions considered in this study are explained in detail above, but some of
the other assumptions are as follows:

v/ The main focus of this research is on the development of a mathematical model for the
closed loop agricultural supply chain and does not tend to its implementation phase. This
research also seeks to optimize the proposed model in which in addition to agricultural
products as the main products of the network, to produce two new products include
biogas and compost by corrupted products to add value to the network.

v Since this network is a supply chain of several products, so the desired products can be

different and do not refer only to a specific product. For example, several types of fruits

and vegetables can be selected as products. Therefore, the proposed model can be used
in various fields of agriculture.

The supply chain network includes suppliers, farms, DCs, customers, and reverse logis-

tics facilities.

Customers’ locations are fixed and predefined.

Facility capacity (supply, production, etc.) is limited.

The problem is multi-period and multi-product.

The initial inventory of all DCs in the first period is zero.

The initial inventory is considered for suppliers in the first period.

AN N N N N
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V' DCs and recycling depots include both existing and potential locations.
V' Due to the perishability of products, the corruption rate is considered at three basic

levels (farms, DCs, and customers).

v The transportation cost of products between network levels is based on the distance
between points. It is assumed that several types of vehicles are available with certain

capacities and costs.
v/ Only DCs can store the product.

v It is not possible to move the processed product between DCs.

3.2 Proposed model

This section introduces and describes the proposed mathematical model. For this pur-
pose, first, the items required for modeling such as parameters, indices, and variables are

described.

3.2.1 Indices

Index of suppliers

Index of farms

Index of existing and potential DCs
Index of customers

Index of existing and potential recycling depots
Index of compost production centers
Index of biogas centers

Index of biogas applicants

Index of agricultural products

Index of supplied raw materials
Index of periods

Index of vehicles

3.2.2 Parameters

gy Requested amount of raw material m by farm f'in period ¢

@ Impact coefficient of raw materials such as fertilizers and pesticides on a farm production

1-¢ Impact coefficient of other criteria such as irrigation and weather conditions on a farm production
a, Percentage of waste product in farms at period ¢

B, Percentage of waste product in DCs at period ¢

7 Percentage of waste product in customer markets at period ¢

N Weight assigned to allocate waste products to biogas centers

o Weight assigned to allocate waste products to compost production centers

0 Coefficient for conversion of waste products to compost

Jpcap,;, Maximum capacity of farm f for producing product p in period

@ Springer
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sscap,,, Initial supply capacity of supplier s for raw material m

dhcap,,, Holding capacity of DC d for product p in period ¢

dem,,,  Demand of product p by customer c in period

bdem;,  Demand of biogas by applicant / in period ¢

capr,, Maximum capacity of recycling depot r for storing products in period #
capb;, Maximum capacity of biogas center j for storing products in period ¢
capc;, Maximum capacity of compost center i for storing products in period ¢

o Coefficient for conversion of waste products to biogas in the liter

" Percentage of reusable waste product in biogas centers for making compost

b Big positive number

tesfy, Transportation cost of raw materials between supplier s and farm f by vehicle v

tefdyy, Transportation cost of products between farm fand DC d by vehicle v

tefeg, Transportation cost of products between farm f'and customer ¢ by vehicle v
tedey.,,  Transportation cost of products between DC d and customer ¢ by vehicle v

tcfrg, Transportation cost of products between farm f and recycling depot r by vehicle v
tedry,,  Transportation cost of products between DC d and recycling depot r by vehicle v

tcer,,,  Transportation cost of products between customer ¢ and recycling depot r by vehicle v
fixr, Fixed cost of constructing potential recycling depot r

fixd, Fixed cost of constructing potential DC d

PCyy Production cost of product p in farm f

hey, Inventory holding cost of product p in DC d

be,, Buying cost of raw material m from supplier s

prg; Selling price of biogas by biogas center j

DIC,; Selling price of raw material m by compost center i

tcrb,;,  Transportation cost of products between recycling depots r and biogas center j by vehicle v
tcrv,;, Transportation cost of products between recycling depots r and compost center i by vehicle v
tevsj, Transportation cost of products between compost center i and supplier s by vehicle v

tcbay, Transportation cost of products between biogas center j and applicant / by vehicle v

tcbvy, Transportation cost of products between biogas center j and compost center i by vehicle v
peg; Production cost of biogas in biogas center j

DCV,i Production cost of raw material m in compost center i

ihc,, Inventory holding cost of raw material m in supplier s

3.2.3 Decision variables

OSF Quantity of supplied raw material m by supplier s to farm fin period ¢

MQF,, Amount of produced agricultural product p by farm fin period ¢

OFD,, Quantity of shipped product p from farm fto DC d in period ¢

OFC,, Quantity of shipped product p from farm f to customer c in period ¢

0DC, Quantity of shipped product p from DC d to customer c in period ¢

OFR,, Quantity of shipped waste product p from farm fto recycling depots r in period ¢
ODR,;;, Quantity of shipped waste product p from DC d to recycling depots r in period ¢
OCR,,,s Quantity of shipped waste product p from customer c to recycling depots r in period ¢
ORB,;, Quantity of shipped waste products from recycling depots r to biogas center j in period ¢
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ORV,;, Quantity of shipped waste products from recycling depots r to compost center i in period ¢
OVS, it Quantity of shipped compost (material m) from compost center i to supplier s in period ¢
OBA;, Quantity of shipped biogas (liter) from biogas center j to biogas applicant / in period ¢
OBV, Quantity of shipped waste products from biogas center j to compost center i in period ¢

X, Equal to 1, if DC d is constructed. Otherwise equal to 0

Y, Equal to 1, if recycling depots r is constructed. Otherwise equal to 0

IH,, Inventoried product p in DC d at period ¢

1SS, Inventoried capacity of supplier s for raw material m in period ¢

According to the mentioned properties and Fig. 1, two main levels of the designed network
due to two expert insights, are exemplified in Fig. 2. Therefore, the proposed model is for-
mulated as follows.

3.2.4 Upper-level model

minimize Z; = Shipping costs + Construction costs + Production costs + Buying costs + Holding costs

@)
Shipping costs = Z Z Z Z Z OSF,, g X tesfyp, + Z Z 2 Z Z OFD,,, X tcfdy,
meM feF seS €T veV pEP fEF deD €T veV
YYD N N OFC X tefepy + Y, DY YD ODC,y, X tedey,
pEP feF ceC t€T veV pEP deD ceC teT veV
+ 2 Z Z 2 2 OFR, X 1¢fry, + 2 2 Z Z 2 ODR,, 4y, X tedry,,
pEeP feF reRr teT veV peP deD reR teT veV
+ 2 Z Z Z Z OCR,,,, X tccr,
pEeP ceC reR teT veV
3)
Construction costs = 2 fixd, x X, + 2 Sfixr, XY, 4)
deD rer
Production costs = Z Z Z MQF,, X pc,, )
PEp fEF teT
Holding costs = Z Z Z IH,, X heg, + Z Z Z ISS,,; X ihc,,, )
deD peP teT meM teT seS

Buying costs = Z Z z Z OSF 50 X bCyyg %)

meM seS feF teT

subject to

Y OSF,; <rr,, VmeEMfEFteT @)

SES

Y OSF,, <ISS,, VmeM,s€SteT
fer

€))
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SES
MQF,, = focap,; x| (1 — @) + | D =—r VpePfEF.teT
meM rrmff

(10)

MOF, ftx ZQF fd[+ZQF pfet VpeP,feF,teT (11)
deD ceC

DD Y OFD,, <bxX, vd € D (12)

peP feF teT

IHgyo 1y + Y OFDyy = Hy, + )" ODCp + 3. ODR,,,,  VdED,pEPtET

fEF ceC rer
(13)
IH,,, < dhcap,y, VdeD,peP,teT (14)
Y ODC,, + Y, QFC,p, < dem,,, ~ Vc€C.pEPIET 15)
deD feF
Z;QF i < MOF, X a, VpePfeFteT (16)
re
ZZ Y OFR,, <bx7Y, VreR (17)
€T fEF peP
Y ODR,,,, <, X IHp ) VpeP,deD,teT (18)

rer

> D > ODR,, <bxY, Vr€R (19)

peP deD teT
g}; OCR,,,, < 7, % dem,, VpePceCiteT 20)
> > Y OCR,,, <bxY, VreR o)
peP ceC teT
> Y OFR,; + D Y ODR, + Y D QCR,,,, < capr, VreRtET
fEF peP pEP deD peP ceC
(22)
ISS,,, = sscap,,, Vt=0meM,s€S (23)

QSFmsﬂ,MQ ofts QFDpfd,, QFC ofets QDdect, QFRpf,,, QDden >0 Vallsets (24)
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OCR,.,.,1H,,,,1SS,,, > 0 Vallsets 25)

mst —

X, Y. €{0,1} VYdeD,reR (26)

3.2.5 Lower-level model

maximize Z, = Income — costs (27)
Income = Z Z Z OBA;, X prg; + Z 2 Z Z OVS,pist X PTCpi (28)
jeJ leL teT meM i€l seS teT

Costs = <Z Z Z z ORB,;, X tcrb,;, + 2 Z Z Z ORV,, Xtcrv,;, + 2 Z z 2 Z QVS, i X tevs;,

reR jel teT veV reR iel €T veV meM i€l teT seSveV
NN 0BAy xtchag, + 3. D Y Y OBV, x tc‘bvji‘,)
Jj€J IEL t€T veV Jjel i€l teT veV
(B EZomumys 3 T3 T 0 xron)
JEJ lEL €T meM i€l teT seS
(29)
subject to
(2 Y OFR,, + ) Y ODR,; + Y Y QCRW,) Xw > ) ORB,  VreRteT
PEP feF PEP deD PEP ceC JjeJ
(30)
rerR

(2 Y OFR;+ > Y ODR,+ Y QCRPC,.[> X, > ) ORV,, VreRteT

PEP feF pEP deD PEP ceC iel
(32)
> ORV,, + Z OBV}, < capc,, VielteT (33)
rerR jeJ
(O ORV,, + Z QBV;,)x 0 = ) QVS,, Vm=1i€LteT (3
reR jeJ sES

1SS,y + D, QVS, i + SScap,,, = 1SS, + ¥ OSF,., ~ VmEM,s€S,1€T

iel feF
(35)
D OBA;, <) ORB, x & VieJteT (36)
leL reR
IZ; QBA;, < bdem, VieJteT 37)
€.
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D OBV, =pux ) ORB, VielteT (38)
iel rer
ORB,;;, ORV ;;, OVS,i» OBA ;. OBV, 1SS, 2 0 Vallsets (39)

The objective function (2) attempts to minimize total costs of the upper-level consist
of shipping costs presented in Eq. (3), construction costs presented in Eq. (4), production
costs presented in Eq. (5), inventory holding costs presented in Eq. (6), and buying costs
presented in Eq. (7).

Constraint (8) shows that the quantity of supplied raw materials by suppliers to farms
in each period should be less than or equal to the requested amount of it by farms. Con-
straint (9) displays that the quantity of supplied raw materials by suppliers to farms in
each period should be less than or equal to the supply capacity of suppliers. Equation (10)
implies that the amount of produced agricultural products by farms in each period is
related to the amount of supplied raw materials by suppliers. If this amount is less than the
requested number of raw materials, it will hurt the production rate of the farms. Besides,
if this amount is equal to the requested number of raw materials, it shows the full respon-
siveness of the demanded materials and the fraction value will be equal to 1. Therefore,
the maximum capacity of farms for producing crops is multiplied with some coefficients.
Here, (1-¢) shows the impact coefficient of some criteria such as irrigation and weather
conditions on farm production, while ¢ represents the impact coefficient of raw materials
(supplied by suppliers) such as fertilizers and pesticides on farm production. Equation (11)
illustrates that the total agricultural products in farms minus the wasted amount can be
shipped to both the DCs and customers. Restriction (12) indicates that transferring prod-
ucts to a potential DC is subject to its construction. Equation (13) calculates the inven-
tory of products for DCs. This calculation is done in such a way that the inventory of the
previous period plus the products received from the farms is equal to the inventory of the
current period plus the products transferred from DCs to customers and recycling depots.
Constraint (14) ensures that the inventoried products should be less than or equal to the
holding capacity of DCs. Constraint (15) ensures that the sum of products shipped from
farms and DCs is less than or equal to customers’ demand. Constraint (16) counts the num-
ber of waste products shipped from farms to recycling depots. Restriction (17) shows that
transporting products to a potential recycling depot is subject to its construction. Constraint
(18) calculates the number of waste products shipped from DCs to recycling depots. Con-
straint (19) displays that shipping products to a potential recycling depot are subject to its
construction. Constraint (20) computes the number of waste products shipped from cus-
tomers to recycling depots. Constraint (21) shows that distributing products to a potential
recycling depot is subject to its construction. Constraint (22) shows that the summation
of received products to each recycling depot should not be exceeded from its maximum
capacity. Equation (23) shows the initial inventoried capacity of suppliers for raw materials
in the first period. Moreover, the constraints (24) and (25) show the non-negativity decision
variables used in upper-level, and constraint (26) represents the binary decision variables.

Besides, the objective function (27) seeks to maximize total profits of the lower-level
using subtraction of incomes from the costs. To this end, Eq. (28) calculates the total
income by selling manufactured biogas and compost to its applicants and suppliers. Equa-
tion (29) also calculates the total costs of lower-level consist of shipping costs between
stages and production costs of biogas and compost.
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Constraints (30) and (32) divide the waste products received in recycling depots
between biogas and compost production centers, respectively. This work done using two
weighting factors which consist of @, and @, whose sum is equal to 1. These two weight-
ing factors are obtained by experts’ opinions. Constraint (31) shows that the summation of
received products to each biogas center should not be exceeded from its maximum capac-
ity. Also, constraint (33) shows that the summation of received products to each compost
center should not be exceeded from its maximum capacity. Equation (34) shows the quan-
tity of manufactured compost in compost centers that can be moved to suppliers. In this
equality, the number of received waste products from recycling depots and biogas centers
are mixed and using some procedure, the compost can be obtained. Therefore, these mixed
waste products are multiplied by a conversion coefficient (conversion of waste products to
compost), and the final amount of moved compost to suppliers is calculated.

Also, Eq. (35) calculates the inventoried capacity of suppliers for raw materials. To this
end, inventory of the previous period plus the materials received from the compost cent-
ers and other sections is equal to the inventory of the current period plus the materials
transferred from suppliers to farms. Besides, based on (Amirkhani et al., 2014), we know
that compounds such as 50% water, 10% animal or human feces, and 40% rotten crops are
needed to make biogas. Based on this research, 2 kg rotten crops by mixing other needed
components (2.5 kg water and 0.5 kg feces) can release 1500-L biogas in 60 days, so
2% (1500/60) =50-L biogas release per day. Based on mentioned properties, 6= (1500/60)
and in Eq. (36), this conversion coefficient is multiplied by waste products to calculate the
amount of shipped biogas in liter to applicants. Constraint (37) shows that the summation
of shipped biogas to applicants should not be exceeded by their demand. Equation (38)
finds the number of waste products in biogas centers that can be reusable for making com-
posts and transfers them to compost centers. Besides, the constraint (39) shows the non-
negativity decision variables used in the follower level.

4 Solution method

This sector describes the suggested solution methods to solve the mentioned problem. To
this end, first, the encoding and decoding process is presented and then some meta-heu-
ristic algorithms such as Genetic Algorithm (GA) and Stochastic Fractal Search (SFS) are
provided. The reasons for using the meta-heuristic algorithms are the nonlinear nature of
the problem and the NP-hardness of the bi-level programming (Talbi, 2013). This informa-
tion is existing in the following subsectors.

4.1 Encoding and decoding

One of the most important phases in using meta-heuristic algorithms is to describe the
encoding—decoding process. There are different ways to encode a problem chromosome,
each for a specific problem. Since the mechanism of operation of most algorithms is
performed in a continuous environment, and also our problem requires sequencing for
assignment to perform, so we use the priority-based encoding approach (Gen et al.,
2006). We encourage the readers to follow (Lotfi & Tavakkoli-Moghaddam, 2013) for
more information. So first we fill the genes of the chromosome with random numbers
between (0, 1) and then we sort them according to priority and the position of each
of which are integers and are selected as allocation sequence (see Figs. 3 and 4). For
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example, if the chromosome with random numbers is {0.2, 0.1, 0.4, 0.8, 0.3, 0.9, 0.5},

then the allocation sequence by sorting it is equal to {6, 7, 4, 2, 5, 1, 3}.

On the other hand, after encoding the problem and applying the algorithm operators
to the problem chromosome, we need to calculate the variables and objective functions.
Therefore, we need decoding procedures to convert the encoded problems to answers.
To this end, the general form of these procedures is illustrated in Figs. 5 and 6.

Figure 5 shows the allocation procedure without inventory for some sectors of chro-
mosomes that not included inventory. Also, Fig. 6 shows the allocation procedure con-
sidering inventory for some sectors of chromosomes that included inventory. Moreover,
it should be noted that the binary variable related to the opening facilities is shown in
Fig. 5. This step may only apply to specific sectors of chromosomes such as sector two

and sector four.

Period Sector one Sector two Sector three Sector four

s i i d+c d c Jrd+c r
1 02,01,.,05 | 01,0208 | 02,0105 | 0309..04 | 04,03..05 | 0201..05 | 01,02..,08 | 0201..05
t 0.7.03,.,04 | 03,09..04 | 0403..,05 | 0201,..,05 | 0201..05 | 01,02..08 | 0407..06 | 0403..05

Fig.3 The chromosome with random numbers between (0, 1) for upper-level
i Sector five Sector six Sector seven
Period == = = =
r it] i I+i i 5
1 0.2,01,..,05 | 0703,..,04 | 0309..,04 | 020.1,..,05 | 01,02..,08 | 0.703,..,04
t 0.3,0.9,..,04 | 0.2,01,...,0.5 | 0.1,0.2,..08 ] 0.2,0.1,..,0.5 | 0.7,0.9,..,0.6 | 0.4,0.3,...,0.5

Fig.4 The chromosome with random numbers between (0, 1) for lower-level

Fort=1toT
Inputs: I: set of sources
J: set of applicants
Dj: demand of applicant j
Cai: capacity of source i
V(I+J): Encode solution of period ¢
Outputs: Xalocj: amount of shipment between nodes
Yj: binary variable shows the opened applicants
While Zi C(li >0
Stepl: Xaloc;j =0 Vi€ l,Vj €]
Step2: select value of the first column of sub-segment I as i index
select value of the first column of sub-segment J as j index
Step3: Xalocij=min (Cai, D))
Update demands and capacities
Cai= Cai - Xalocj Dj=D;- Xalocij
Step4: if Ca=0 then V (1, J) =0
ifD;j=0thenV (/,1)=0
End while
Step5: forj=1toJ
if ¥, Xaloc;; > 0 then Y=1
End for
End for

Fig.5 Allocation procedure without inventory
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Fort=1toT
Inputs: I: set of sources
J: set of applicants
Dj: demand of applicant j
Cai: capacity of source i
V(I+J): Encode solution of period t
INVi1= amount of saved goods in storage i at period #-1
Outputs: Xaloc;: amount of shipment between nodes
INVi: amount of remained goods in storage i at period ¢
Cai= Cait INViw1
While };D; = 0 or ¥;Ca; = 0
Stepl: Xaloc;j =0 Viel,Vj €]
Step2: select value of the first column of sub-segment / as i index
select value of the first column of sub-segment J as j index
Step3: Xaloci=min (Cai, D))
Update demands and capacities
Cai= Cai - Xaloci Dj= D;- Xaloc;
Step4: if Cai=0 then V (1, J) =0
if D; =0 then V (1,1) =0
End while
Step5: INVi= Cai
End for

Fig. 6 Allocation procedure considering inventory

4.2 Geneticalgorithm (GA)

This algorithm is proposed by John Holland (1975) and inspired by the genetic behavior
of living organisms that can improve their physical condition through genetic mutations
and inheritance from their parents. To this end, some random population is generated,
and using two main operators (mutation and crossover), it seeks to improve the chro-
mosome status and subsequently the state of the fitness function (Sang, 2021). Since
the advent of this algorithm, various versions of it have been developed and it has also
been effective in solving multi-level problems (Ma, 2016; Talbi, 2013). This algorithm
is known as a model for various metaheuristic algorithms and in used in wide field of
studies as a strong one such as in a joint order batching and picker routing problem
(Yousefi Nejad Attari et al., 2021), location-inventory supply chain (Fathi et al., 2021),
green supply chain (Gholizadeh & Fazlollahtabar, 2020), and others. Therefore, it is
considered a strong and well-known algorithm in solving problems in this field, and we
also use it to solve our proposed problem. It should be noted that all the algorithms used
in this research are nested and among the main algorithm to calculate the high level,
another lower-level algorithm is used. The pseudocode of nested bi-level GA is illus-
trated in Fig. 7.

Because the chromosome of this problem is filled with random numbers between (0,
1) and then an allocation sequence is obtained from the sort operator (using the gen’s
priority), so all the chromosomes will be feasible. Besides, according to (Demirel et al.,
2014; Maghsoudlou et al., 2016; Rostami et al., 2020), single-point and double-point
crossovers along with swap, displacement, insertion, and reversion mutations operators
were used. These operators are performed on random number vectors to avoid the crea-
tion of decimal numbers in the allocation sequence.
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Upper Level Algorithm
Generate initial variables vectors
Call lower level algorithm for calculating lower-level variables
Come back to upper-level and compute other variables and upper-level objective functions
While the stopping criterion will be satisfied
Do the selection, crossover and mutation operators on chromosome
Call lower-level algorithm for calculating lower-level variables
Come back to upper-level and compute other variables and upper-level objective functions
Sort Ascending the population based on upper-level objective functions
End while
Print The best values of objective functions and CPU Time

Lower Level Algorithm

Generate initial variables vectors

Compute related variables and lower-level objective functions

While the stopping criterion will be satisfied
Do the selection, crossover and mutation operators on chromosome
Compute related variables and lower-level objective functions
Sort Ascending the population based on lower-level objective functions

End While

Provide related variables and lower-level objective functions for upper-level

Fig. 7 Pseudo-code of the nested bi-level GA

4.3 Stochastic fractal search (SFS)

This algorithm is inspired by the natural phenomena of growth and created using a math-
ematical concept called fractal. This algorithm was first presented by (Salimi, 2015). Like
most algorithms, it is population-based and starts with a randomly generated initial popula-
tion (Khalilpourazari et al., 2020). Due to a large number of formulas and concepts about
this algorithm, readers are advised to refer to the mentioned source. In the following, the
pseudo-code of this algorithm is presented (Fig. 8).

Upper Level Algorithm
Generate initial variables vectors
Call lower level algorithm for calculating lower-level variables
Come back to upper-level and compute other variables and upper-level objective functions
While g < maximum generation or (stop criterion)
Do Diffusion Process on chromosome
Do Updating Process on chromosome
Call lower-level algorithm for calculating lower-level variables
Come back to upper-level and compute other variables and upper-level objective functions
Sort Ascending the population based on upper-level objective functions
End While
Print The best values of objective functions and CPU Time

Lower Level Algorithm
Generate initial variables vectors
Compute related variables and lower-level objective functions
While g < maximum generation or (stop criterion)
Do Diffusion Process on chromosome
Do Updating Process on chromosome
Compute related variables and lower-level objective functions
Sort Ascending the population based on lower-level objective functions
End While
Provide related variables and lower-level objective functions for upper-level

Fig.8 The pseudo-code of nested bi-level SFS
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Because the chromosome of this problem is filled with random numbers between (0, 1)
and then an allocation sequence is obtained from the sort operator (using the gen’s prior-
ity), so all the chromosomes will be feasible. Besides, all operators are performed on ran-
dom number vectors to avoid the creation of decimal numbers in the allocation sequence.

4.4 Hybrid metaheuristics

Moreover, two hybrid metaheuristics based on SFS and GA are used to search for more
appropriate answers. To this end, GA-SFS and SFS-GA are used that for example in GA-
SFS, the genetic algorithm works on upper-level and stochastic fractal search works on
lower-level. The opposite case is also established for SFS-GA. Since the descriptions for
each algorithm are described separately, we will refrain from further explanations about
these hybrid algorithms. It is important to note that here each algorithm (GA or SFES) is
used only for a specific level and the other level uses a different algorithm.

5 Example

This section reports some generated examples to verify model performance and also
adjusts the values of algorithm parameters. More information is presented in the following
subsections.

5.1 Parameter setting

In this section, some numerical examples are generated randomly to set proposed model
parameters. These generated examples are illustrated in Table 4, and also the values of
periods and vehicles are fixed by 6 and 5, respectively, for all generated examples. It is
necessary to consider several agricultural products, for example, several types of fruits
and several types of raw materials supplied by suppliers, including pesticides, chemical

Table 4 Generation of twelve

. S E le # Set
numerical examples in different xampre ©

dimensions S F D C R I J L P M
1 5 10 5 10 2 1 1 5 2 4
2 10 12 5 15 3 2 1 5 2 4
3 16 16 6 18 3 2 2 6 3 5
4 20 25 10 25 4 3 2 6 4 5
5 23 29 14 28 4 3 2 7 5 6
6 25 35 18 32 4 3 2 7 5 7
7 30 40 20 38 5 4 3 8 6 7
8 35 48 22 42 5 4 3 9 7 7
9 40 60 28 45 5 4 3 8 8 7
10 45 65 30 55 10 5 5 15 8 8
11 55 65 35 70 15 10 8 20 9 10
12 70 8 40 90 20 15 13 30 10 15
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fertilizers, and biological fertilizers. Moreover, according to experts in this field, values of
0.6 and 0.4 were adopted for w, and w,, respectively. Finally, values of other parameters
are reported in Table 5.

Due to the lack of available information and momentary changes in the country under
study, it is difficult to accurately state these values. Therefore, these numbers are close to
the real world and the desired values can be changed for specific geographical areas.

5.2 Tuning parameters of algorithms

In this section, to calibrate the parameters of the applied algorithms, we have used
the Taguchi method (Taguchi, 1986), which is one of the well-known methods in the
design of experiments. According to the detailed information mentioned in the refer-
ence, this method uses some measures to reduce the number of experiments, therefore,
we use a few experiment numbers instead of full factorial experiments. The important
thing is that this method is only applicable to one objective function. Therefore, for
single-objective mathematical models, it is sufficient to replace the value of the objec-
tive function of the model. Therefore, for multi-objective mathematical problems, a
single value for the Taguchi method must be obtained using several types of stand-
ard multi-objective metrics. But this is a bi-level example, so according to (Kuo et al.,

Table 5 Values of main parameters of model

Parameter ~ Values Unit  Parameter  Values Unit
a, [0.1,0.12,0.15,0, 0, 0] - T 6 M
B, [0.02, 0.02, 0.03, 0.03, 0.035, 0.04] - t 2 M
7 [0.02, 0.03, 0.04, 0.045, 0.045, 0.048] - Vv 5 VE
fixd, Uniform ~ [120000,185000] $ @ 0.4 -
Sfixr, Uniform ~ [14000,24000] $ 1—¢ 0.6 -
iR,y Uniform~[12, 16] $T b 100 -

0 750 L/M 0 1.1 -
PCyy Uniform ~[80, 100] $/T " 0.7 -
be,, Uniform~[40, 60] $/T - Uniform~[2, 6] T
prg; Uniform ~[20, 35] $/L dem,, Uniform~[5, 12] T
peg; Uniform~[10, 12] $/L Jpcap,, Uniform ~[40, 100] T
DICyp; Uniform~[15, 20] $/T dhcap Uniform ~[30, 50] T
DPCVyi Uniform ~[8, 10] $/T SSCAP,¢ Uniform ~[20, 60] T
tcsfsﬁ} Uniform~[12, 25] $/T hcdp Uniform ~[35, 48] $/T
tevs;, Uniform~[12, 25] $/T teer,,, Uniform~[8, 15] $/T
tcfdfdv Uniform~[10, 30] $/T tcrbrjv Uniform~[5, 18] $/T
tefey, Uniform~[10, 30] $/T cry,,;, Uniform ~ [5, 18] $/T
tedey,, Uniform~[10, 30] $/T tcbvy, Uniform~[5, 18] $/T
tcfry,, Uniform~[8, 15] $/T tcbay, Uniform~[12, 16] $/L
tedry,, Uniform~[8, 15] $/T capr,, Uniform~[80, 150] T
bdemy, Uniform ~[2000, 9000] L capb;, Uniform~[90,200] T
capc;, Uniform ~[60, 100] T - - -

$: Dollar L Liter T Ton M Month VE Vehicle
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Table 6 Algorithm parameters

range and defined levels Algorithms Parameters Parameter Level

Level 1 Level 2 Level 3

NBL-GA Pc 0.7 0.8 0.9
Pm 0.05 0.1 0.15
N-pop 100 150 200
Max iteration 100 200 300

NBL-SFS MDN 1 2 3
N-pop 100 150 200
Max iteration 100 200 300

Table 7 The main results of

Experiment # P P N-, Max iterati V4
Taguchi experiment for GA xpermen ¢ " pop ax iteration | Z,

1 0.7 0.05 100 100 853,909.80
2 0.7 0.1 150 200 836,909.25
3 0.7 0.15 200 300 846,579.51
4 0.8 0.05 150 300 855,633.25
5 0.8 0.1 200 100 850,413.72
6 0.8 0.5 100 200 841,471.65
7 09 0.05 200 200 839,111.32
8 09 0.1 100 300 836,286.85
9 09 0.5 150 100 841,038.45

2015), only the upper-level objective is used to calibrate the algorithms in the Tagu-
chi method. The statement ‘Smaller-the-Better’ is also chosen in the Taguchi method
because the upper-level objective function is minimization.

To this end, it is initially desirable to report the values of the parameters of the
used algorithms for different considered levels. These values are reached based on
(Golshahi-Roudbaneh et al., 2017; Rahmati et al., 2013; Sarrafha et al., 2015) and
illustrated in Table 6.

After setting the various levels of the algorithm parameters, it is time to run the
Taguchi method using the Minitab software. After executing this method in the men-
tioned software, the orthogonal array L9 is selected for both algorithms. Moreover,
after solving each algorithm during 30 executions, the average answer for each experi-
ment is stored in the software. The orthogonal arrays along with resulted values of Z,
for GA and SFS are reported in Tables 7 and 8, respectively.

As a result, using the analysis of these results by the Taguchi method, the selected
values of the parameters are obtained by a tool called SN diagram. Therefore, the main
effects plot of SN ratios for GA and SFS are illustrated in Figs. 9 and 10, respectively.
Based on Fig. 9, it can be stated that values of 0.9, 0.1, 100, and 200 are selected for
Pc, Pm, N-pop, and Max iteration, respectively. Also based on Fig. 10, it can be stated
that values of 1, 150, and 300 are selected for MDN, N-pop, and Max iteration, respec-
tively. These adjusted values are also applied for the two-hybrid algorithms.
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Table 8 The main results of

Experiment # MDN  N- Max iterati Z
Taguchi experiment for SFS xpertmen pop o teranon Lz

1 1 100 100 851,112.45
2 1 150 200 842,373.33
3 1 200 300 841,809.74
4 2 100 200 845,543.20
5 2 150 300 844,676.07
6 2 200 100 851,806.55
7 3 100 300 847,983.21
8 3 150 100 840,695.25
9 3 200 200 852,860.80

Main Effects Plot for SN ratios
Data Means

Pc Pm N-pop Max iteration
-118.46

-118.48
-118.50
-118.52
118.54 -\\
118,56
118,58
07 08 09 005 010 015 1

00 150 200 100 200 300

Mean of SN ratios

Signal-to-noise: Smaller is better

Fig.9 The main effects plot for SN ratios of GA

Main Effects Plot for SN ratios

Data Means
MDN N-pop Max iteration
-118.51
-118.52
0
O -11853
=
©
S
Z
g 1854
—
5]
c -11855
©
U
=
-118.56
-1857
-118.58
1 2 3 100 150 200 100 200 300

Signal-to-noise: Smaller is better

Fig. 10 The main effects plot for SN ratios of SFS
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6 Results and discussion
6.1 Computational results

Finally, after setting the model parameters and adjusting the parameters of the algorithms,
in this section, we will solve the generated examples. It should be noted that the examples
are designed in small, medium, and large dimensions to further evaluate the performance
of the algorithms. Also, to encode the algorithms, MATLAB software has been used and
all the results have been executed under a personal computer with Windows 10 and a Core
i5 CPU processor and 4 GB of RAM. To evaluate the performance of the algorithms, crite-
ria such as the best value of the objective functions, the worst value of the objective func-
tions, the mean of the objective functions, the CPU time, and normalized deviations (ND)
have been used. The related formula to calculate ND is presented in Eq. (40).

|z — 7y,

max %
|Zz 28

ND = (40)

min max
Z Z

After executing each example using the proposed algorithms and extracting the values
of mentioned criteria, we compare and analyze the results. These results are presented in
Table 9 and the best value for each criterion is bolded in each example.

To analyze the results of Table 9, some diagrams are used. For example, the comparison
diagram of algorithms in terms of CPU time is presented in Fig. 11. Based on this figure,
the SFS-SFS has the minimum execution time for all examples. Therefore, this algorithm is
the best in terms of CPU time.

Also, from the perspective of the upper-level objective function, Fig. 12 illustrates these
comparisons. Since this aim is minimization type, so the algorithm with the lowest value
will be selected. As it turns out, SFS-GA has the best record in examples 1, 2, 3, 5, 6, 8, 10
and 12. The SFS-SFS has also gotten the best value in examples 4, 7, and 9.

Moreover, Fig. 13 shows the assessment of algorithms in terms of the lower-level objec-
tive function. Since this objective function is a maximization type, so the algorithm with
the highest value will be chosen. As is clear SFS-GA having the best performance in exam-
ples 1,4, 5,6, 8,9, 10 and 12, while SFS-SFS has gotten the best value in examples 2, 7
and 11. Also, GA-SFS had the best performance in example 3.

Furthermore, the normalized deviation is applied to review these results as shown in
Fig. 14. This figure implies that the smallest deviations in almost all examples belong to
SFS-GA.

After analyzing the results, we conclude that in some criteria, SFS-GA obtained better
results and in others, SFS-SFS showed better performance. Therefore, to summarize, we
must use a method that specifies only one algorithm for us as the best method. For this pur-
pose, the displaced ideal solution (DIS) method (Pasandideh et al., 2015) has been used,
the general structure of this method is summarized in Eqgs. (41) and (42). In the mentioned
method, in the first step, the value of F; is obtained by averaging resulted values of twelve
generated examples for each criterion, and then, the value of F;* is determined using the
lowest values for the criteria of the upper-level objective function and the highest values for
the factors related to the lower-level objective function. The minimum amounts for ND and
CPU time are also chosen. Finally, the values of F; and F;* are reported in Table 10.

Finally, we normalize the values of Table 10 using formula (41) and by summing the
normal values, the direct distance for each method is calculated. It should be noted that the
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Fig. 11 Comparison of algorithms based on CPU time
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Fig. 12 Comparison of algorithms regarding leader-level objective

direct distance is calculated using formula (42) and the lower the direct distance value, the
more desirable the answers of the mentioned algorithm than other algorithms. The normal-
ized values and direct distances are presented in Table 11.

F,— F:
N_ 1
Fl=—F

1

(41)
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Direct distance = z F IN (42)
1

Finally, using the results of this method, we find that the proposed hybrid algorithm

SFS-GA was selected as the best method to solve twelve generated examples among four

proposed algorithms. This algorithm is selected because it has the least distance (0.047)

from the ideal point. On the other hand, the SFS-SFS was selected as the second-best algo-

rithm with a direct distance of 4.3665. It should be noted that the SFS-SFS especially in
large size examples showed great in solving problems.
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Table 11 The main results of DIS method

Algorithm  Criteria Direct distance

Z, Z, ND CPU time

Best Worst  Mean  Best Worst  Mean

GA-GA 0.0398 0.0343 0.0516 0.0258 0.0145 0.0251 10.5230 0.1721 10.8862
SFS-SFS ~ 0.0110 0.0127 0.0131 0.0141 0.0117 0.0128 4.2912 0.0000 4.3665
GA-SFS ~ 0.0274 0.0129 0.0258 0.0222 0.0092 0.0192 8.4778 0.0917 8.6863
SFS-GA  0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0470 0.0470

The results show that by using these analyses, better management in the real-world sup-
ply chain can be achieved and good results can be achieved in a reasonable time by using
the proposed solution method. Therefore, by using these results, agricultural products can
be allocated with proper planning, and also waste products can be used to make two new
products that prevent both environmental pollution and produce clean fuel and useful bio-
logical fertilizers.

6.2 Sensitivity analysis

To further assess and analyze the performance of the suggested model in this section, sen-
sitivity analysis is performed on some sensitive parameters of the model. The results are
presented in Table 12. It should be noted that all these calculations were performed only
for the first numerical example and the results were reported only for SFS-GA, which was
selected as the best algorithm. To this end, five parameters that consist of product demand,
biogas demand, farm capacity, w;, and w, are chosen to change.

Using the analysis of the results of this table, it can be seen that changes in five param-
eters that consist of product demand, biogas demand, farm capacity, @,, and w, cause
changes in the number of objective functions as well as opened facilities. For instance,
an increase in product demand can increase the total cost of the upper-level and slightly
increase the objective function of the lower-level, which is a small increase due to the

Table 12 Resulted values of sensitivity analysis

Analyze #  Change in parameter value Objective values Opened facilities
dempa bdem,, ﬁ)capp[, [on W, Z, Z,

1 0%t 0%1] 0%1] 0.6 04 812,600.4 40,671.7 X; X5 Y,

2 20%1 0%1] 0%1] 0.6 04 8381567 40,9082 X, X; Xs Y,

3 0%t 20%1 0%1] 0.6 04 812,600.4 434978 X, X5 Y,

4 0%t 0%1] 20%1 0.6 04 849,760.5 41,5963 X, X, X, Y, Y,

5 20%1 30%1 10%] 0.6 04 856,759.3 448529 X,X, X; X5 Y ¥,

6 0%71] 0%1] 0%1] 0.7 03 812,600.4 41,4165 X, X; X5 Y,

7 0%1| 0%1] 0%1] 05 05 812,600.4 40,498.6 X, X; X5 Y,

8 0%t 0%1] 0%1] 04 06 8126004 403351 X,X; Xs5 Y,

9 0%t 0%1] 0%1] 03 07 812,600.4 40,1794 X, X; X5 Y,
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increase in the number of rotten products sent to the lower-level. On the other hand,
increasing biogas demand only increases the lower level objective function. As well as
increasing product demand and production capacity can also be opened additional facilities
for storage. In addition, different changes are depicted for the two parameters w; and w,,
which according to experts’ opinions, the best value of 0.6 and 0.4 was selected for param-
eters w; and w,, respectively. What is important is the use of these analyses to improve the
status of the systems in question by managers and experts in the field.

7 Conclusion

Globalization and liberalization of trade in agricultural and food products have changed
the structure of markets. Conventional traditional supply-based marketing systems for
agricultural and food products have given way to coordinated and market-based supply
chains. To succeed in meeting these challenges, it is necessary for businesses affiliated with
the agricultural sector to apply the supply chain management approach in the process of
converting inputs into inputs to deliver products to the market or end-users. On the other
hand, issues related to rotten agricultural products have occupied the minds and attention
of many systems. To this end, in this research, an eight-echelon agricultural supply chain
was designed by seeing suppliers, farms, distributors, customers, recycling depots, biologi-
cal fertilizers centers, biogas centers, and biogas applicants. Then, a mathematical model
based on bi-level programming was formulated. The purpose of the upper-level of this pro-
posed model was to minimize the total costs of the leader level, while the lower-level was
to maximize the total profit achieved by the difference between the sales of follower level
products and the total costs of this level. Since such problems had computational complex-
ity, two meta-heuristic algorithms along with two hybrid algorithms were used to solve the
proposed problem. Also, several numerical examples in different dimensions were gener-
ated to further explore the performance of these algorithms. On the other hand, to achieve
the best performance of these algorithms, their parameters were first calibrated using the
Taguchi method. Finally, the results were reported and showed the superiority of SFS-GA
over other methods. Also, sensitivity analysis was executed on some parameters of the
model, and using the results, several insights were reported. These gotten outcomes can be
beneficial for agricultural managers and organizations. Like other research, this research
has its limitations. For example, the values of the parameters, constraints, and conditions
included in this model are related to the specific geographical location under study and
may change in other areas. Therefore, the results obtained in this research for implementa-
tion in other areas and geographical areas should be reviewed. Another limitation is the
high inflation and uncertainty in this geographical location, which causes the values of
cost-related parameters to vary. As a final point, several guidelines for future studies are
delivered as follow. Applying uncertainty in modeling problems such as robust program-
ming, fuzzy sets, or stochastic programming can be useful and contribute to the complexity
of the model and its proximity to the real world. Utilizing new metaheuristic and heuristic
algorithms can lead to better answers and even reduce problem solving time. Considering
green and sustainability aspects in modeling and integrating this SCM with other SCM can
also be studied.

Funding None.

@ Springer



A bi-level model for a closed-loop agricultural supply chain...

Data availability Most of data generated or analyzed during this study are included in this published article,
and more information are available from the corresponding author on reasonable request.

Declarations

Conflict of interest The authors declare that they have no known competing financial interests or personal
relationships that could have appeared to influence the work reported in this paper.

References

Adebisi, J. A., Agunsoye, J. O., Ahmed, L. 1., Bello, S. A., Haris, M., Ramakokovhu, M. M., & Hassan, S.
B. (2020). Production of silicon nanoparticles from selected agricultural wastes. Materials: Today Pro-
ceedings. https://doi.org/10.1016/j.matpr.2020.03.658

Agriculture Jihad. (2016). “Agricultural Letter Statistics”, Department of Statistics and Information, Deputy
of Planning and Support, Ministry of Agriculture Jihad. Tehran. https://www.maj.ir/page-NewEnMain/
en/0

Allen, S. J., & Schuster, E. W. (2004). Controlling the risk for an agricultural harvest. Manufacturing & Ser-
vice Operations Management, 6(3), 225-236. https://doi.org/10.1287/msom.1040.0035

Amirkhani, A., Azizi Jalilian, M., Amini, R., Amirkhani, A., Ashtari, K., & Azizi Jalilian, F. (2014). Design
and construction of green semiautomatic producer of biogas and fertilizer. llam University of Medical
Science, 22(2), 10-16. In Persian.

Amorim, P., Giinther, H.-O., & Almada-Lobo, B. (2012). Multi-objective integrated production and dis-
tribution planning of perishable products. International Journal of Production Economics, 138(1),
89-101. https://doi.org/10.1016/j.ijpe.2012.03.005

Anderson, E., & Monjardino, M. (2019). Contract design in agriculture supply chains with random yield.
European Journal of Operational Research, 277(3), 1072-1082. https://doi.org/10.1016/j.ejor.2019.
03.041

Arnaout, J.-P.M., & Maatouk, M. (2010). Optimization of quality and operational costs through improved
scheduling of harvest operations. International Transactions in Operational Research, 17(5), 595-605.
https://doi.org/10.1111/j.1475-3995.2009.00740.x

Bai, R., Burke, E. K., & Kendall, G. (2008). Heuristic, meta-heuristic and hyper-heuristic approaches for
fresh produce inventory control and shelf space allocation. Journal of the Operational Research Soci-
ety, 59(10), 1387-1397. https://doi.org/10.1057/palgrave.jors.2602463

Bard, J. F. (1991). Some properties of the bilevel programming problem. Journal of Optimization Theory
and Applications, 68(2), 371-378. https://doi.org/10.1007/BF00941574

Behnia, B., Mahdavi, 1., Shirazi, B., & Paydar, M. M. (2019). A bi-level bi-objective mathematical model
for cellular manufacturing system applying evolutionary algorithms. Scientia Iranica, 26(4), 2541—
2560. https://doi.org/10.24200/sci.2018.5717.1440

Bhat, V. S., Kanagavalli, P., Sriram, G., John, N. S., Veerapandian, M., Kurkuri, M., Hegde, G., et al. (2020).
Low cost, catalyst free, high performance supercapacitors based on porous nano carbon derived from
agriculture waste. Journal of Energy Storage, 32, 101829. https://doi.org/10.1016/j.est.2020.101829

Blanco, A. M., Masini, G., Petracci, N., & Bandoni, J. A. (2005). Operations management of a packag-
ing plant in the fruit industry. Journal of Food Engineering, 70(3), 299-307. https://doi.org/10.1016/].
jfoodeng.2004.05.075

Bohle, C., Maturana, S., & Vera, J. (2010). A robust optimization approach to wine grape harvesting sched-
uling. European Journal of Operational Research, 200(1), 245-252. https://doi.org/10.1016/j.ejor.
2008.12.003

Bracken, J., & McGill, J. T. (1973). Mathematical programs with optimization problems in the constraints.
Operations Research, 21(1), 37-44. https://doi.org/10.1287/opre.21.1.37

Bracken, J., & McGill, J. T. (1974a). Defense applications of mathematical programs with optimization
problems in the constraints. Operations Research, 22(5), 1086—-1096. https://doi.org/10.1287/opre.
22.5.1086

Bracken, J., & McGill, J. T. (1974b). Optimization of strategic defenses to provide specified post-attack pro-
duction capacities. Naval Research Logistics Quarterly, 21(4), 663—672. https://doi.org/10.1002/nav.
3800210410

@ Springer


https://doi.org/10.1016/j.matpr.2020.03.658
https://www.maj.ir/page-NewEnMain/en/0
https://www.maj.ir/page-NewEnMain/en/0
https://doi.org/10.1287/msom.1040.0035
https://doi.org/10.1016/j.ijpe.2012.03.005
https://doi.org/10.1016/j.ejor.2019.03.041
https://doi.org/10.1016/j.ejor.2019.03.041
https://doi.org/10.1111/j.1475-3995.2009.00740.x
https://doi.org/10.1057/palgrave.jors.2602463
https://doi.org/10.1007/BF00941574
https://doi.org/10.24200/sci.2018.5717.1440
https://doi.org/10.1016/j.est.2020.101829
https://doi.org/10.1016/j.jfoodeng.2004.05.075
https://doi.org/10.1016/j.jfoodeng.2004.05.075
https://doi.org/10.1016/j.ejor.2008.12.003
https://doi.org/10.1016/j.ejor.2008.12.003
https://doi.org/10.1287/opre.21.1.37
https://doi.org/10.1287/opre.22.5.1086
https://doi.org/10.1287/opre.22.5.1086
https://doi.org/10.1002/nav.3800210410
https://doi.org/10.1002/nav.3800210410

A. Cheraghalipour, E. Roghanian

Broekmeulen, R. (1998). Operations management of distribution centers for vegetables and fruits. Interna-
tional Transactions in Operational Research, 5(6), 501-508. https://doi.org/10.1016/S0969-6016(98)
00038-0

Caixeta-Filho, J. V. (2006). Orange harvesting scheduling management: A case study. Journal of the
Operational Research Society, 57(6), 637-642. https://doi.org/10.1057/palgrave.jors.260204 1

Carvajal, J., Sarache, W., & Costa, Y. (2019). Addressing a robust decision in the sugarcane supply
chain: Introduction of a new agricultural investment project in Colombia. Computers and Electron-
ics in Agriculture, 157, 77-89. https://doi.org/10.1016/j.compag.2018.12.030

Catala, L. P., Durand, G. A., Blanco, A. M., & Alberto Bandoni, J. (2013). Mathematical model for stra-
tegic planning optimization in the pome fruit industry. Agricultural Systems, 115, 63-71. https://
doi.org/10.1016/j.agsy.2012.09.010

Chavez, M. M. M., Sarache, W., & Costa, Y. (2018). Towards a comprehensive model of a biofuel sup-
ply chain optimization from coffee crop residues. Transportation Research Part e: Logistics and
Transportation Review, 116(January), 136-162. https://doi.org/10.1016/j.tre.2018.06.001

Cheraghalipour, A., Farsad, S., & Paydar, M. M. (2020). Developing a bi-objective location-allocation-
inventory problem for humanitarian relief logistics considering maximum allowed distances limita-
tions. International Journal of Services and Operations Management, 37(4), 427. https://doi.org/
10.1504/1JSOM.2020.111819

Cheraghalipour, A., Paydar, M. M., & Hajiaghaei-Keshteli, M. (2018). A bi-objective optimization for
citrus closed-loop supply chain using pareto-based algorithms. Applied Soft Computing, 69, 33-59.
https://doi.org/10.1016/j.as0c.2018.04.022

Cheraghalipour, A., Paydar, M. M., & Hajiaghaei-Keshteli, M. (2019). Designing and solving a bi-level
model for rice supply chain using the evolutionary algorithms. Computers and Electronics in Agri-
culture, 162, 651-668. https://doi.org/10.1016/j.compag.2019.04.041

Cittadini, E. D., Lubbers, M. T. M. H., de Ridder, N., van Keulen, H., & Claassen, G. D. H. (2008).
Exploring options for farm-level strategic and tactical decision-making in fruit production systems
of South Patagonia, Argentina. Agricultural Systems, 98(3), 189-198. https://doi.org/10.1016/j.
agsy.2008.07.001

Dai, M., & Liu, L. (2020). Risk assessment of agricultural supermarket supply chain in big data envi-
ronment. Sustainable Computing: Informatics and Systems, 28, 100420. https://doi.org/10.1016/].
suscom.2020.100420

Delgoshaei, A., Norozi, H., Mirzazadeh, A., Farhadi, M., Hooshmand Pakdel, G., & Khoshniat Aram, A.
(2021). A new model for logistics and transportation of fashion goods in the presence of stochastic
market demands considering restricted retailers capacity. RAIRO—Operations Research, 55, S523—
S547. https://doi.org/10.1051/r0/2019061

Demirel, N., Ozceylan, E., Paksoy, T., & Gokcen, H. (2014). A genetic algorithm approach for optimis-
ing a closed-loop supply chain network with crisp and fuzzy objectives. International Journal of
Production Research, 52(12), 3637-3664. https://doi.org/10.1080/00207543.2013.879616

Eluubek kyzy, 1., Song, H., Vajdi, A., Wang, Y., & Zhou, J. (2021). Blockchain for consortium: A practi-
cal paradigm in agricultural supply chain system. Expert Systems with Applications, 184, 115425.
https://doi.org/10.1016/j.eswa.2021.115425

Fareed, A., Zaidi, S. B. A., Ahmad, N., Hafeez, 1., Ali, A., & Ahmad, M. F. (2020). Use of agricultural
waste ashes in asphalt binder and mixture: A sustainable solution to waste management. Construc-
tion and Building Materials, 259, 120575. https://doi.org/10.1016/j.conbuildmat.2020.120575

Fathi, M., Khakifirooz, M., Diabat, A., & Chen, H. (2021). An integrated queuing-stochastic optimiza-
tion hybrid Genetic Algorithm for a location-inventory supply chain network. International Journal
of Production Economics, 237, 108139. https://doi.org/10.1016/j.ijpe.2021.108139

Ferrer, J.-C., Mac Cawley, A., Maturana, S., Toloza, S., & Vera, J. (2008). An optimization approach for
scheduling wine grape harvest operations. International Journal of Production Economics, 112(2),
985-999. https://doi.org/10.1016/j.ijpe.2007.05.020

Gardas, B. B., Raut, R. D., & Narkhede, B. (2019). Determinants of sustainable supply chain manage-
ment: A case study from the oil and gas supply chain. Sustainable Production and Consumption,
17, 241-253. https://doi.org/10.1016/j.spc.2018.11.005

Gen, M., Altiparmak, F., & Lin, L. (2006). A genetic algorithm for two-stage transportation prob-
lem using priority-based encoding. Or Spectrum, 28(3), 337-354. https://doi.org/10.1007/
$00291-005-0029-9

Gholamian, M. R., & Taghanzadeh, A. H. (2017). Integrated network design of wheat supply chain:
A real case of Iran. Computers and Electronics in Agriculture, 140, 139-147. https://doi.org/10.
1016/j.compag.2017.05.038

@ Springer


https://doi.org/10.1016/S0969-6016(98)00038-0
https://doi.org/10.1016/S0969-6016(98)00038-0
https://doi.org/10.1057/palgrave.jors.2602041
https://doi.org/10.1016/j.compag.2018.12.030
https://doi.org/10.1016/j.agsy.2012.09.010
https://doi.org/10.1016/j.agsy.2012.09.010
https://doi.org/10.1016/j.tre.2018.06.001
https://doi.org/10.1504/IJSOM.2020.111819
https://doi.org/10.1504/IJSOM.2020.111819
https://doi.org/10.1016/j.asoc.2018.04.022
https://doi.org/10.1016/j.compag.2019.04.041
https://doi.org/10.1016/j.agsy.2008.07.001
https://doi.org/10.1016/j.agsy.2008.07.001
https://doi.org/10.1016/j.suscom.2020.100420
https://doi.org/10.1016/j.suscom.2020.100420
https://doi.org/10.1051/ro/2019061
https://doi.org/10.1080/00207543.2013.879616
https://doi.org/10.1016/j.eswa.2021.115425
https://doi.org/10.1016/j.conbuildmat.2020.120575
https://doi.org/10.1016/j.ijpe.2021.108139
https://doi.org/10.1016/j.ijpe.2007.05.020
https://doi.org/10.1016/j.spc.2018.11.005
https://doi.org/10.1007/s00291-005-0029-9
https://doi.org/10.1007/s00291-005-0029-9
https://doi.org/10.1016/j.compag.2017.05.038
https://doi.org/10.1016/j.compag.2017.05.038

A bi-level model for a closed-loop agricultural supply chain...

Gholizadeh, H., & Fazlollahtabar, H. (2020). Robust optimization and modified genetic algorithm for
a closed loop green supply chain under uncertainty: Case study in melting industry. Computers &
Industrial Engineering, 147, 106653. https://doi.org/10.1016/j.cie.2020.106653

Gigler, J. K., Hendrix, E. M. T., Heesen, R. A., van den Hazelkamp, V. G. W., & Meerdink, G. (2002).
On optimisation of agri chains by dynamic programming. European Journal of Operational
Research, 139(3), 613-625. https://doi.org/10.1016/S0377-2217(01)00191-6

Golshahi-Roudbaneh, A., Hajiaghaei-Keshteli, M., & Paydar, M. M. (2017). Developing a lower bound
and strong heuristics for a truck scheduling problem in a cross-docking center. Knowledge-Based
Systems, 129, 17-38. https://doi.org/10.1016/j.knosys.2017.05.006

Heniegal, A. M., Ramadan, M. A., Naguib, A., & Agwa, 1. S. (2020). Study on properties of clay brick
incorporating sludge of water treatment plant and agriculture waste. Case Studies in Construction
Materials, 13, €00397. https://doi.org/10.1016/j.cscm.2020.e00397

Hester, S. M., & Cacho, O. (2003). Modelling apple orchard systems. Agricultural Systems, 77(2), 137—
154. https://doi.org/10.1016/S0308-521X(02)00106-3

Holland, J. H. (1975). Adaptation in natural and artificial systems: an introductory analysis with applica-
tions to biology, control, and artificial intelligence. MIT press.

Hosseini-Motlagh, S.-M., Samani, M. R. G., & Saadi, F. A. (2020). A novel hybrid approach for syn-
chronized development of sustainability and resiliency in the wheat network. Computers and Elec-
tronics in Agriculture, 168, 105095. https://doi.org/10.1016/j.compag.2019.105095

Jolayemi, J. K. (1996). An integrated model for planning and managing multi-regional mixed-crop
farming schemes. Ecological Modelling, 84(1-3), 63-74. https://doi.org/10.1016/0304-3800(94)
00146-4

Kapoor, R., Ghosh, P., Kumar, M., Sengupta, S., Gupta, A., Kumar, S. S., et al. (2020). Valorization
of agricultural waste for biogas based circular economy in India: A research outlook. Bioresource
Technology, 304, 123036. https://doi.org/10.1016/j.biortech.2020.123036

Khalilpourazari, S., Khalilpourazary, S., Ozyiiksel Ciftcioglu, A., & Weber, G.-W. (2021). Designing
energy-efficient high-precision multi-pass turning processes via robust optimization and artificial
intelligence. Journal of Intelligent Manufacturing, 32(6), 1621-1647. https://doi.org/10.1007/
$10845-020-01648-0

Khalilpourazari, S., Naderi, B., & Khalilpourazary, S. (2020). Multi-objective stochastic fractal search:
A powerful algorithm for solving complex multi-objective optimization problems. Soft Computing,
24(4), 3037-3066. https://doi.org/10.1007/s00500-019-04080-6

Khan, H. H., Malik, M. N., Kone¢n4, Z., Chofreh, A. G., Goni, F. A., & Klemes, J. J. (2022). Blockchain
technology for agricultural supply chains during the COVID-19 pandemic: Benefits and cleaner solu-
tions. Journal of Cleaner Production, 347, 131268. https://doi.org/10.1016/j.jclepro.2022.131268

Krikke, H., Hofenk, D., & Wang, Y. (2013). Revealing an invisible giant: A comprehensive survey into
return practices within original (closed-loop) supply chains. Resources, Conservation and Recy-
cling, 73, 239-250.

Kuo, R. J., Lee, Y. H., Zulvia, F. E., & Tien, F. C. (2015). Solving bi-level linear programming problem
through hybrid of immune genetic algorithm and particle swarm optimization algorithm. Applied
Mathematics and Computation, 266(43), 1013-1026. https://doi.org/10.1016/j.amc.2015.06.025

Lotfi, M. M., & Tavakkoli-Moghaddam, R. (2013). A genetic algorithm using priority-based encoding
with new operators for fixed charge transportation problems. Applied Soft Computing, 13(5), 2711—
2726. https://doi.org/10.1016/j.as0c.2012.11.016

Lotfi, R., Kheiri, K., Sadeghi, A., & Babaee Tirkolaee, E. (2022). An extended robust mathematical
model to project the course of COVID-19 epidemic in Iran. Annals of Operations Research. https://
doi.org/10.1007/s10479-021-04490-6

Ma, S. (2016). A nonlinear bi-level programming approach for product portfolio management. Springer-
plus, 5(1), 727. https://doi.org/10.1186/s40064-016-2421-0

Maghsoudlou, H., Kahag, M. R., Niaki, S. T. A., & Pourvaziri, H. (2016). Bi-objective optimization of
a three-echelon multi-server supply-chain problem in congested systems: Modeling and solution.
Computers & Industrial Engineering, 99, 41-62. https://doi.org/10.1016/j.cie.2016.07.008

Maia, L. O. A., Lago, R. A., & Qassim, R. Y. (1997). Selection of postharvest technology routes by
mixed-integer linear programming. International Journal of Production Economics, 49(2), 85-90.
https://doi.org/10.1016/S0925-5273(96)00108-9

Masini, G. L., Blanco, A. M., Petracci, N., & Bandoni, J. A. (2011). Supply chain tactical optimization
in the fruit industry. Process systems engineering (pp. 121-172). Wiley-VCH Verlag GmbH & Co.
KGaA. https://doi.org/10.1002/9783527631278.ch5

Migdalas, A., Pardalos, P. M., & Storoy, S. (1998). Parallel computing in optimization. Journal of the
Operational Research Society, 49(7), 770-770.

@ Springer


https://doi.org/10.1016/j.cie.2020.106653
https://doi.org/10.1016/S0377-2217(01)00191-6
https://doi.org/10.1016/j.knosys.2017.05.006
https://doi.org/10.1016/j.cscm.2020.e00397
https://doi.org/10.1016/S0308-521X(02)00106-3
https://doi.org/10.1016/j.compag.2019.105095
https://doi.org/10.1016/0304-3800(94)00146-4
https://doi.org/10.1016/0304-3800(94)00146-4
https://doi.org/10.1016/j.biortech.2020.123036
https://doi.org/10.1007/s10845-020-01648-0
https://doi.org/10.1007/s10845-020-01648-0
https://doi.org/10.1007/s00500-019-04080-6
https://doi.org/10.1016/j.jclepro.2022.131268
https://doi.org/10.1016/j.amc.2015.06.025
https://doi.org/10.1016/j.asoc.2012.11.016
https://doi.org/10.1007/s10479-021-04490-6
https://doi.org/10.1007/s10479-021-04490-6
https://doi.org/10.1186/s40064-016-2421-0
https://doi.org/10.1016/j.cie.2016.07.008
https://doi.org/10.1016/S0925-5273(96)00108-9
https://doi.org/10.1002/9783527631278.ch5

A. Cheraghalipour, E. Roghanian

Ming, L., GuoHua, Z., & Wei, W. (2021). Study of the game model of E-commerce information sharing
in an agricultural product supply chain based on fuzzy big data and LSGDM. Technological Fore-
casting and Social Change, 172, 121017. https://doi.org/10.1016/j.techfore.2021.121017

Mo, K. H., Thomas, B. S., Yap, S. P., Abutaha, F., & Tan, C. G. (2020). Viability of agricultural wastes
as substitute of natural aggregate in concrete: A review on the durability-related properties. Journal
of Cleaner Production, 275, 123062. https://doi.org/10.1016/j.jclepro.2020.123062

Ortmann, F., Vuuren, J., & van Dyk, F. (2006). Modelling the South African fruit export infrastructura:
A case study. Orion, 22(1), 35-57.

Paksoy, T., Pehlivan, N. Y., & Ozceylan, E. (2012). Application of fuzzy optimization to a supply chain
network design: A case study of an edible vegetable oils manufacturer. Applied Mathematical Mod-
elling, 36(6), 2762-2776. https://doi.org/10.1016/j.apm.2011.09.060

Pasandideh, S. H. R., Niaki, S. T. A., & Asadi, K. (2015). Optimizing a bi-objective multi-product
multi-period three echelon supply chain network with warehouse reliability. Expert Systems with
Applications, 42(5), 2615-2623. https://doi.org/10.1016/j.eswa.2014.11.018

Rahbari, M., Arshadi Khamseh, A., Sadati-Keneti, Y., & Jafari, M. J. (2022). A risk-based green loca-
tion-inventory-routing problem for hazardous materials: NSGA II, MOSA, and multi-objective
black widow optimization. Environment, Development and Sustainability, 24(2), 2804-2840.
https://doi.org/10.1007/s10668-021-01555-1

Rahmati, S. H. A., Hajipour, V., & Niaki, S. T. A. (2013). A soft-computing Pareto-based meta-heuris-
tic algorithm for a multi-objective multi-server facility location problem. Applied Soft Computing
Journal, 13(4), 1728-1740. https://doi.org/10.1016/j.as0c.2012.12.016

Ranjbar, Z., & Mirzazadeh, A. (2019). The forward and reverse pharmaceutical supply chain network
design considering tainted product delivery. International Journal of Logistics Systems and Man-
agement, 33(2), 205-220.

Rantala, J. (2004). Optimizing the supply chain strategy of a multi-unit Finnish nursery company. Silva
Fennica. https://doi.org/10.14214/s£.429

Roghanian, E., & Cheraghalipour, A. (2019). Addressing a set of meta-heuristics to solve a multi-objec-
tive model for closed-loop citrus supply chain considering CO2 emissions. Journal of Cleaner Pro-
duction, 239, 118081. https://doi.org/10.1016/j.jclepro.2019.118081

Rostami, A., Paydar, M. M., & Asadi-Gangraj, E. (2020). A hybrid genetic algorithm for integrating vir-
tual cellular manufacturing with supply chain management considering new product development.
Computers & Industrial Engineering, 145, 106565. https://doi.org/10.1016/j.cie.2020.106565

Salimi, H. (2015). Stochastic fractal search: A powerful metaheuristic algorithm. Knowledge-Based Sys-
tems, 75, 1-18. https://doi.org/10.1016/j.knosys.2014.07.025

Sang, B. (2021). Application of genetic algorithm and BP neural network in supply chain finance under
information sharing. Journal of Computational and Applied Mathematics, 384, 113170. https://doi.
org/10.1016/j.cam.2020.113170

Sarrafha, K., Rahmati, S. H. A., Niaki, S. T. A., & Zaretalab, A. (2015). A bi-objective integrated pro-
curement, production, and distribution problem of a multi-echelon supply chain network design: A
new tuned MOEA. Computers and Operations Research, 54, 35-51. https://doi.org/10.1016/j.cor.
2014.08.010

Seyyed Jifroudi, S. A., Teimoury, E., & Barzinpour, F. (2020). Designing and planning a rice supply
chain: A case study for Iran farmlands. Decision Science Letters, 9(2), 163—180. https://doi.org/10.
5267/j.ds1.2020.1.001

Shams Shemirani, H., Sahraeian, R., & Bashiri, M. (2021). Designing of a mat-heuristic algorithm for
solving bi-level optimization problems. Scientia Iranica. https://doi.org/10.2200/sci.2021.55147.
4093

Stackelberg, H. V. (1952). The Theory of the Market Economy. Oxford University Press.

Starbird, S. A. (1988). Optimal loading sequences for fresh-apple storage facilities. Journal of the Oper-
ational Research Society, 39(10), 911-917. https://doi.org/10.1057/jors.1988.157

Sun, H., Gao, Z., & Wu, J. (2008). A bi-level programming model and solution algorithm for the loca-
tion of logistics distribution centers. Applied Mathematical Modelling, 32(4), 610-616. https://doi.
org/10.1016/j.apm.2007.02.007

Taguchi, G. (1986). Introduction to quality engineering: designing quality into products and processes.
The Organization.

Talbi, E. G. (2013). Metaheuristics for bi-level optimization. In E.-G. Talbi (Ed.), Studies in com-
putational intelligence. (Vol. 482). Springer, Berlin Heidelberg. https://doi.org/10.1007/
978-3-642-37838-6

@ Springer


https://doi.org/10.1016/j.techfore.2021.121017
https://doi.org/10.1016/j.jclepro.2020.123062
https://doi.org/10.1016/j.apm.2011.09.060
https://doi.org/10.1016/j.eswa.2014.11.018
https://doi.org/10.1007/s10668-021-01555-1
https://doi.org/10.1016/j.asoc.2012.12.016
https://doi.org/10.14214/sf.429
https://doi.org/10.1016/j.jclepro.2019.118081
https://doi.org/10.1016/j.cie.2020.106565
https://doi.org/10.1016/j.knosys.2014.07.025
https://doi.org/10.1016/j.cam.2020.113170
https://doi.org/10.1016/j.cam.2020.113170
https://doi.org/10.1016/j.cor.2014.08.010
https://doi.org/10.1016/j.cor.2014.08.010
https://doi.org/10.5267/j.dsl.2020.1.001
https://doi.org/10.5267/j.dsl.2020.1.001
https://doi.org/10.2200/sci.2021.55147.4093
https://doi.org/10.2200/sci.2021.55147.4093
https://doi.org/10.1057/jors.1988.157
https://doi.org/10.1016/j.apm.2007.02.007
https://doi.org/10.1016/j.apm.2007.02.007
https://doi.org/10.1007/978-3-642-37838-6
https://doi.org/10.1007/978-3-642-37838-6

A bi-level model for a closed-loop agricultural supply chain...

Tirkolaee, E. B., Goli, A., Ghasemi, P., & Goodarzian, F. (2022a). Designing a sustainable closed-loop
supply chain network of face masks during the COVID-19 pandemic: Pareto-based algorithms.
Journal of Cleaner Production, 333, 130056. https://doi.org/10.1016/j.jclepro.2021.130056

Tirkolaee, E. B., Goli, A., Giitmen, S., Weber, G.-W., & Szwedzka, K. (2022b). A novel model for
sustainable waste collection arc routing problem: Pareto-based algorithms. Annals of Operations
Research. https://doi.org/10.1007/s10479-021-04486-2

Tirkolaee, E. B., Goli, A., & Mardani, A. (2021). A novel two-echelon hierarchical location-allocation-rout-
ing optimization for green energy-efficient logistics systems. Annals of Operations Research. https://
doi.org/10.1007/s10479-021-04363-y

Tsolakis, N. K., Keramydas, C. A., Toka, A. K., Aidonis, D. A., & Iakovou, E. T. (2014). Agrifood supply
chain management: A comprehensive hierarchical decision-making framework and a critical taxon-
omy. Biosystems Engineering, 120, 47-64. https://doi.org/10.1016/j.biosystemseng.2013.10.014

van Berlo, J. M. (1993). A decision support tool for the vegetable processing industry; An integrative
approach of market, industry and agriculture. Agricultural Systems, 43(1), 91-109. https://doi.org/10.
1016/0308-521X(93)90094-1

van der Vorst, J., Tromp, S.-O., & van der Zee, D.-J. (2009). Simulation modelling for food supply chain
redesign; integrated decision making on product quality, sustainability and logistics. International
Journal of Production Research, 47(23), 6611-6631. https://doi.org/10.1080/00207540802356747

Vitoriano, B., Ortufio, M. T., Recio, B., Rubio, F., & Alonso-Ayuso, A. (2003). Two alternative models
for farm management: Discrete versus continuous time horizon. European Journal of Operational
Research, 144(3), 613—628. https://doi.org/10.1016/S0377-2217(02)00143-1

Weber, G.-W., Savku, E., Serhan Aydin, N., & Yolcu Okur, Y. (2015). Stochastic optimal control of sys-
tems with regime switches, jumps and delay—applications in finance, economics and biology. In visit
and seminar at seminar at Department of Systems Engineering and Engineering Management. Hong
Kong: The Chinese University of Hong Kong.

Willis, C., & Hanlon, W. (1976). Temporal model for long-run orchard decisions. Canadian Journal of
Agricultural Economics/revue Canadienne D’agroeconomie, 24(3), 17-28. https://doi.org/10.1111/j.
1744-7976.1976.tb02818.x

Xiong, R., Yu, X., Zhang, Y., Peng, Z., Yu, L., Cheng, L., & Li, T. (2020). Comparison of agricultural
wastes and synthetic macromolecules as solid carbon source in treating low carbon nitrogen waste-
water. Science of the Total Environment, 739, 139885. https://doi.org/10.1016/j.scitotenv.2020.139885

Yan, B., Chen, X., Cai, C., & Guan, S. (2020). Supply chain coordination of fresh agricultural products
based on consumer behavior. Computers & Operations Research, 123, 105038. https://doi.org/10.
1016/j.cor.2020.105038

Yousefi Nejad Attari, M., Ebadi Torkayesh, A., Malmir, B., & Neyshabouri Jami, E. (2021). Robust pos-
sibilistic programming for joint order batching and picker routing problem in warehouse management.
International Journal of Production Research, 59(14), 4434-4452. https://doi.org/10.1080/00207543.
2020.1766712

Zhang, Q., Zhang, D., Xu, H., Lu, W., Ren, X., Cai, H., et al. (2020). Biochar filled high-density polyethyl-
ene composites with excellent properties: Towards maximizing the utilization of agricultural wastes.
Industrial Crops and Products, 146, 112185. https://doi.org/10.1016/j.indcrop.2020.112185

Publisher’s Note Springer Nature remains neutral with regard to jurisdictional claims in published maps and
institutional affiliations.

@ Springer


https://doi.org/10.1016/j.jclepro.2021.130056
https://doi.org/10.1007/s10479-021-04486-2
https://doi.org/10.1007/s10479-021-04363-y
https://doi.org/10.1007/s10479-021-04363-y
https://doi.org/10.1016/j.biosystemseng.2013.10.014
https://doi.org/10.1016/0308-521X(93)90094-I
https://doi.org/10.1016/0308-521X(93)90094-I
https://doi.org/10.1080/00207540802356747
https://doi.org/10.1016/S0377-2217(02)00143-1
https://doi.org/10.1111/j.1744-7976.1976.tb02818.x
https://doi.org/10.1111/j.1744-7976.1976.tb02818.x
https://doi.org/10.1016/j.scitotenv.2020.139885
https://doi.org/10.1016/j.cor.2020.105038
https://doi.org/10.1016/j.cor.2020.105038
https://doi.org/10.1080/00207543.2020.1766712
https://doi.org/10.1080/00207543.2020.1766712
https://doi.org/10.1016/j.indcrop.2020.112185

	A bi-level model for a closed-loop agricultural supply chain considering biogas and compost
	Abstract
	1 Introduction
	2 Literature review
	2.1 Agricultural supply chain
	2.2 Multi-level programming
	2.3 Agricultural waste
	2.4 Research gaps

	3 Problem definition
	3.1 Assumptions
	3.2 Proposed model
	3.2.1 Indices
	3.2.2 Parameters
	3.2.3 Decision variables
	3.2.4 Upper-level model
	3.2.5 Lower-level model


	4 Solution method
	4.1 Encoding and decoding
	4.2 Genetic algorithm (GA)
	4.3 Stochastic fractal search (SFS)
	4.4 Hybrid metaheuristics

	5 Example
	5.1 Parameter setting
	5.2 Tuning parameters of algorithms

	6 Results and discussion
	6.1 Computational results
	6.2 Sensitivity analysis

	7 Conclusion
	References




