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Abstract Research on effects of wind turbines on
bats has increased dramatically in recent years
because of significant numbers of bats killed by
rotating wind turbine blades. Whereas most re-
search has focused on the Midwest and inland por-
tions of eastern North America, bat activity and
migration on the Atlantic Coast has largely been
unexamined. We used three long-term acoustic
monitoring stations to determine seasonal bat
activity patterns on the Assateague Island Na-
tional Seashore, a barrier island off the coast of
Maryland, from 2005 to 2006. We recorded five
species, including eastern red bats (Lasiurus bore-
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alis), big brown bats (Eptesicus fuscus), hoary bats
(Lasiurus cinereus), tri-colored bats (Perimyotis
subf lavus), and silver-haired bats (Lasionycteris
noctivagans). Seasonal bat activity (number of bat
passes recorded) followed a cosine function and
gradually increased beginning in April, peaked
in August, and declined gradually until cessation
in December. Based on autoregressive models,
inter-night bat activity was autocorrelated for lags
of seven nights or fewer but varied among acoustic
monitoring stations. Higher nightly temperatures
and lower wind speeds positively affected bat
activity. When autoregressive model predictions
were fitted to the observed nightly bat pass to-
tals, model residuals >2 standard deviations from
the mean existed only during migration periods,
indicating that periodic increases in bat activity
could not be accounted for by seasonal trends
and weather variables alone. Rather, the addi-
tional bat passes were attributable to migrating
bats. We conclude that bats, specifically eastern
red, hoary, and silver-haired bats, use this barrier
island during migration and that this phenomenon
may have implications for the development of
near and offshore wind energy.
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Introduction

Wind energy development in the United States
and Europe has increased remarkably in recent
years (AWEA 2009; GWEC 2008). Although
there are no greenhouse gas emissions from this
form of energy, the benefits have not come with-
out consequences, particularly in terms of effects
on wildlife and wildlife habitat (Kuvlesky et al.
2007). For example, it has been estimated that tens
of thousands of bat mortalities can be attributed to
close encounters with rotating wind turbine blades
in the Mid-Atlantic region of the United States
alone (Kunz et al. 2007). Consequently, there has
been much recent research examining the causes
of bat mortalities at wind energy facilities (e.g.,
Arnett et al. 2008; Horn et al. 2008; Baerwald et
al. 2009). These studies documented bat behav-
ior at wind turbines, temporal mortality patterns,
and correlations between bat activity, mortality
patterns, and weather variables, all in an attempt
to determine the causal mechanisms of bat mor-
talities at wind energy facilities (Reynolds 2006;
Arnett et al. 2008; Horn et al. 2008). To date,
many hypotheses on the cause of bat mortal-
ity at wind energy facilities were suggested, and
several were partially substantiated. Bats may
be attracted to wind turbines because they are
analogous to large trees used as visual cues dur-
ing migration or mating (Kunz et al. 2007; Cryan
2008). Variation in weather characteristics, such
as wind speed and temperature, may affect bat
activity patterns and possibly mortality patterns
(Reynolds 2006; Cryan and Brown 2007). Despite
these insights, factors affecting bat mortality at
wind energy facilities remain largely unclear.

Investigations have documented several fairly
consistent aspects of bat mortality at wind en-
ergy facilities, mostly in the eastern United States
(Kerns and Kerlinger 2004; Jain et al. 2007; Arnett
et al. 2008). The majority of bat mortalities are mi-
gratory tree bats, including eastern red bats (La-
siurus borealis), hoary bats (Lasiurus cinereus),
and silver-haired bats (Lasionycteris noctivagans),
and it is unknown why these species are more
susceptible than other bat species, such as the
myotine species (Johnson et al. 2003; Kunz et al.
2007; Arnett et al. 2008). Mortality at wind en-
ergy facilities most commonly occurs during late

summer–early autumn when bats are migrating
(Kunz et al. 2007; Arnett et al. 2008). Also, bat
mortality commonly is higher during nights with
low wind speeds (Arnett 2005; Baerwald et al.
2009). It is unknown if bats congregate and follow
migratory pathways or linear landscape elements
such as ridgelines where wind turbines commonly
are situated, such as along the Appalachian Moun-
tains, or if their distributions during migration are
more widespread across the landscape, including
coastal areas (Cryan 2003; Kunz et al. 2007).

Anecdotal accounts exist of bats, particu-
larly eastern red bats, migrating off the Atlantic
Coast (Norton 1930; Carter 1950; Mackiewicz and
Backus 1956). These migrations may have impli-
cations for near and offshore wind energy facil-
ities if bats commonly migrate along coastal ar-
eas (Kuvlesky et al. 2007). Furthermore, barrier
islands along the Atlantic Coast may serve as
stopover sites for migrating bats (Cooley 1954;
Tenaza 1966; Cryan and Brown 2007). Bats mi-
grating near the coastline could potentially en-
counter near and offshore wind energy facilities,
which are currently proposed for Rhode Island,
New York, New Jersey, Delaware, and Maryland,
USA (Kuvlesky et al. 2007; Soper 2007; Bluewater
Wind 2008). However, the extent of bat migration
along coastlines and use of barrier islands by bats
during migration remains unknown. Substantial
research on causes of bat mortality and potential
mitigation strategies at wind energy facilities in
the eastern United States has focused on areas
along the Appalachian Mountains (e.g., Arnett
2005). However, information on bat mortality at
proposed wind energy facilities along the Atlantic
Coast is needed. It is unknown if bat migration
along this coastline is similar to migration in the
Appalachian Mountains in magnitude and tim-
ing. An assessment of bat activity throughout the
year along the Atlantic Coast is warranted to
determine if coastal wind energy facilities could
adversely impact bats. Therefore, our objectives
were to (1) establish seasonal bat activity patterns
on an Atlantic Ocean barrier island, (2) determine
if bats use the barrier island during migration,
and (3) determine if bat activity patterns were
correlated with weather conditions. Based on
anecdotal accounts and published literature (e.g.,
Norton 1930; Mackiewicz and Backus 1956; Cryan
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2003), we hypothesized that (1) bats use barrier
islands while migrating along the Atlantic Coast;
(2) temporal patterns of migration are similar
to those established at similar latitudes in North
America, i.e., March to May and August to
November (Cryan 2003; Kunz et al. 2007); and
(3) that bat activity is positively associated with
particular weather conditions, including higher
temperatures, lower wind speeds, less precipita-
tion, lower barometric pressure, and higher rela-
tive humidity (Lacki 1984; Paige 1995; Erickson
and West 2002; Parsons et al. 2003; Reynolds 2006;
Turbill 2008).

Materials and methods

Study site

We conducted our research at the Assateague
Island National Seashore (ASIS), located on As-
sateague Island, Worcester County, Maryland
(38◦10′ N, 75◦10′ W). Assateague Island is a 0.4-
to 4.0-km-wide × 59.6-km-long barrier island that
extends from Ocean City, Maryland, to Chin-
coteague, Virginia. ASIS lies wholly in Maryland
and comprises the northern 35.4 linear kilometer
of the island. Sinepuxent Bay and Chincoteague
Bay are situated between ASIS and the mainland.
These saltwater bays range in width from 1 km on
the northern terminus of ASIS to about 8 km near
the southern terminus (Maryland–Virginia state
line).

The Assateague Island National Seashore in-
cluded approximately 3,600 ha of beaches, dunes,
shrublands, forests, marshes, and freshwater
pools. The northern 8 km of ASIS is sparsely veg-
etated, consisting mostly of cordgrass (Spartina
sp.) and shrubs (Myrica sp.). Bayside marsh veg-
etation consists largely of cordgrass. Forests are
distributed patchily on the southern two thirds
of the island’s western side and are comprised
mostly of mature loblolly pine (Pinus taeda). Red
maple (Acer rubrum), sweetgum (Liquidambar
styracif lua), and wild black cherry (Prunus
serotina) occur sporadically as canopy inter-
mediates. The shrub layer beneath the forest
canopy exists as dense, discontinuous patches of
waxmyrtle (Myrica cerifera), bayberry (Myrica

pensylvanica), and groundsel tree (Baccharis
halimifolia). In many areas, forest tracts are jux-
taposed to bayside marshes with vegetative tran-
sition, when present, consisting mostly of shrubs
(e.g., waxmyrtle). Shrubland transitions between
forest and beach were a mosaic of stunted loblolly
pine, rushes (Juncus sp.), woolly beachheather
(Hudsonia tomentosa), and shrubs (e.g., waxmyr-
tle) scattered among the dunes (Higgins et al.
1971). Freshwater pools (<6 ha) occur throughout
the island but are mostly concentrated in shrub-
lands and forests. Approximately 75 pools exist at
ASIS, and many are ephemeral. The mean annual
precipitation at ASIS was 112.6 cm, the mean sum-
mer (June to August) temperature was 23.2◦C,
and the mean winter (December to February)
temperature was 3.6◦C (NOAA 2004).

Ten bat species occur in Maryland, including
big brown bats (Eptesicus fuscus), silver-haired
bats, eastern red bats, hoary bats, eastern small-
footed myotis (Myotis leibii), little brown myotis
(M. lucifugus), northern myotis (M. septentrion-
alis), Indiana myotis (M. sodalis), evening bats
(Nycticeius humeralis), and tri-colored bats (Per-
imyotis subf lavus; Paradiso 1969). However, only
big brown bats, eastern red bats, hoary bats, silver-
haired bats, and tri-colored bats have been docu-
mented at ASIS (Johnson and Gates 2008).

Acoustic monitoring

We used Anabat II (Titley Scientific, Ballina,
Australia) broadband, frequency division bat de-
tectors linked to compact flash storage zero
crossing analysis interface modules (ZCAIM), to
monitor bat echolocation passes. We defined bat
passes as a series of echolocation pulses or calls
emitted by bats as they navigated and searched
for food (Thomas 1988; Broders 2003). We pas-
sively monitored bat passes by establishing three
autonomous bat monitoring stations (BMS), 1 on
the northern (5.8 km south of Ocean City Inlet
and 0.5 km from the coastline), middle (11.8 km
south of the northern BMS and 1.0 km from the
coastline), and southern portions (15.2 km south
of the middle BMS and 0.5 km from the coastline)
of ASIS. Each BMS consisted of an Anabat II
bat detector and ZCAIM contained in a weath-
erproof enclosure, which was attached to a guyed
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10-m pole. A downward-facing microphone and
45◦ deflector were attached to the top of each
pole and connected to the Anabat II via a 10-m
audio cable. The microphones of all three BMS
were above the surrounding vegetation and lo-
cated near freshwater pools. Vegetation near the
northernmost BMS was situated in a low-lying
sand wash largely devoid of vegetation except for
an adjacent small (<0.5 ha) patch of shrubs. The
middle BMS was located in a canopy gap within
a loblolly pine forest. The southern BMS was
located in a stunted loblolly pine forest. Power
was provided by an external 12-V, 12-A·h battery
recharged by a 10-W photovoltaic panel. Each
BMS monitored bat activity from 1700–0700 hours
nightly from July 2005 to December 2006.

We used the Analook computer software to de-
termine which bat species produced each recorded
bat pass (Corben 2001). We identified bat passes
by comparing structure (e.g., frequency modu-
lated and quasi-constant frequency), frequency,
and change in octaves per second of unknown bat
passes to a library. Our library consisted of 273 bat
passes collected from hand-released bats marked
with chemiluminescent tags collected throughout
the southeastern and Mid-Atlantic United States
and known to occur at ASIS (Fenton and Bell
1981; O’Farrell et al. 1999; Murray et al. 2001;
Menzel et al. 2002; Johnson and Gates 2008). We
attempted identification of bat passes containing
three or more pulses (Johnson et al. 2002). Bat
passes containing 1 or more echolocation pulses,
identified or not, counted toward the total num-
ber of bat passes in a sample. The senior au-
thor identified all bat passes to reduce bias and
increase identification precision (O’Farrell et al.
1999; Johnson et al. 2002). The total number of
bat passes (Passes) was summed for each BMS
nightly, which we used as an index of bat activity.

To examine the effects of weather on bat ac-
tivity, we obtained data from a remote auto-
mated weather station located at the approxi-
mate center of Assateague Island. Data included
hourly rain accumulations (centimeters; Rainacc),
hourly air temperature (degrees Celsius; Temphr),
daily maximum air temperature (degrees Celsius;
Tempmax), daily minimum air temperature (de-
grees Celsius; Tempmin), hourly mean wind speed
(meters per second; Windmean), hourly maximum

wind gust (meters per second; Windmax), hourly
relative humidity (percent; RelHum), and hourly
barometric pressure (kilopascal; Baro). Hour-
ly data were averaged for each night. To achieve
statistical normality, we log transformed the num-
ber of hours that rainfall accumulated within a
night (Rainhr), Passes, and Windmean. We arcsine
transformed relative humidity data (Zar 1984).

Prior to analyzing the effects of weather on
bat activity, we tested explanatory variables for
collinearity to reduce model over-fitting. We com-
puted the Pearson’s product moment correlation
coefficients for all pairs of variables and cen-
sored one member of any pair having a correla-
tion >0.60 (Grewal et al. 2004). Collinearity
was significant for five variable pairs, includ-
ing Rainhr and Rainacc (r = 0.83), Temphr and
Tempmax (r = 0.95), Temphr and Tempmin (r =
0.96), Tempmax and Tempmin (r = 0.93), and
Windmean and Windmax (r = 0.95). We retained
Rainhr because the periodicity of rain may have
more of an effect on bat activity than precipitation
totals. We retained Temphr because it represented
mean temperatures recorded throughout the night
when bats are active rather than the maximum
and minimum temperatures recorded throughout
the day. We retained Windmean, which reported
nightly sustained mean wind velocities rather than
brief gusts.

Model structure

To investigate potential bat migration activity at
ASIS, we used a time series analysis to account
for weather and to model nightly and seasonal
bat passes. Seasonal trends in bat passes and
weather in the Mid-Atlantic region generally fol-
low a pattern, bat activity increases in summer in
concert with increases in temperature, humidity,
and precipitation and gradually decreases to a
minimum in winter (Whitaker et al. 1997; Cryan
2003). Simple correlation analyses (e.g., Pearson’s
product moment correlation) between bat passes
and weather variables are unlikely to produce
meaningful results from a long-term monitoring
dataset. Seasonal trends may follow a sine or co-
sine function (Montgomery et al. 2008). There-
fore, we incorporated a sinusoidal trigonometric
function into our time series analysis to account
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for the seasonal trend in bat passes and weather
patterns.

The number of bat passes may be serially auto-
correlated; i.e., bat passes are not independent on
successive nights (Hayes 1997; Milne et al. 2005).
As with seasonal trends, autocorrelation also must
be accounted for in the time series analysis. We
used an autoregressive (AR) modeling approach
to estimate the autocorrelation structure of bat
passes (RDCT 2008). We iteratively incorporated
AR (p) structures, where p = lag, to estimate the
appropriate AR order. We used Akaike’s infor-
mation criterion (AICc) for small sample sizes to
determine parsimonious models. Candidate mod-
els separated by ≤3 AICc were considered com-
peting models. We used Akaike weights, wAICc,
to indicate the probability that a particular model
was the best approximating model in the candi-
date set. After selecting the best approximating
model, we incorporated the estimated correlation
coefficient (Φ) in the final models to account for
nightly serial autocorrelation of bat passes.

We used generalized least squares to develop
a predictive model of bat activity and account for
seasonal and climatic influences. Models followed
the general form of

log(Passesj)=β0 + β1 log(Rainhr)

+ β2(Temphr) + β3 log(Windmean)

+ β4 sin(RelHum) + β5(Baro)

+ β6 sin

(
2π j
T

)
+ β7 cos

(
2π j
T

)
+ε j,

where Passesj was the number of bat passes
recorded on night j; Rainhr was the number of
hours of precipitation on night j; Windmean was the
average nightly wind speed on night j; RelHum
was the average nightly relative humidity on day j;
Baro was the average nightly barometric pressure
on day j; βs were coefficients estimated by re-
gression, sin and cos terms described seasonality,
where j was day and T was the total number of
nights per year; and εj was an error term.

We examined model residuals (predicted–
observed data) that exceeded 2 standard devi-
ations from the mean. Nightly bat pass totals
that exceed the predicted value by >2 standard
deviations may be evidence of migration events,

particularly if these events occur during spring
or autumn and occur on the same nights among
the three BMS. Determining migration events is
complicated by simultaneous autumn migration
and onset of juvenile bat volancy. Currently, it
is not possible to distinguish females from males
or adult bats from those of juvenile bats based
on echolocation call characteristics. Therefore, we
used the ancillary capture data from mist netting
that occurred July to August 2005 at ASIS to
determine the timing of juvenile volancy (Johnson
and Gates 2008). We qualitatively considered the
percentage of nightly total captures comprised
of juveniles when examining the overall bat ac-
tivity trends at ASIS for migrants. In addition,
we parsed our dataset for evidence of migration
events using the multiplicative probability rule to
determine the chances of each bat species being
detected at the three BMS on the same night
(when all the three BMS were operating). A bat
species that does not occur at ASIS throughout
the active season will have a low probability of
being detected at two or three BMS on the same
night. Conversely, a bat species that occurs at
ASIS throughout the active season will have a
relatively high probability of being detected.

We compared the number of bat passes among
the three BMS with a one-way analysis of variance
(ANOVA) and Duncan’s new multiple range test
(Proc GLM; SAS Institute, Inc. 2004). To com-
pare bat activity among the BMS, we used data
only from nights when all three were operating.
Moreover, to avoid temporal pseudoreplication,
we eliminated data from autocorrelated nights;
the number of nights eliminated was indicated
by the maximum AR process value among the
three BMS (Hayes 1997; Montgomery et al. 2008).
Autoregressive analyses indicated significant lags
up to seven nights for all three BMS. Therefore,
we used data from every seventh night in our
analysis. However, because including only data
from nights 1, 8, 15, . . . from each BMS is ar-
bitrary, we also analyzed data starting on nights
2, 9, 16, . . . , and so on through nights 7, 14, 21,
. . . so that data from all independent nights were
used. Therefore, we conducted ANOVA seven
times to account for all independent datasets. Sta-
tistical significance for all the analyses was set at
P ≤ 0.05.
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Results and discussion

Acoustic monitoring

We recorded 39,384 bat passes from five species,
including eastern red bats (59.33% of total bat
passes), big brown bats (3.05%), hoary bats
(0.13%), eastern pipistrelles (0.10%), and silver-
haired bats (0.07%). The remaining 36.66% of the
recorded bat passes were not identified to species
because they consisted of fewer than three echolo-
cation pulses. All the BMS experienced malfunc-
tions at some period during monitoring, possibly
due to thunderstorms, which caused them to cease
recording until maintenance was performed. The
northern, middle, and southern BMS functioned
for 94.9%, 91.3%, and 84.2% of the study period,
respectively. All the BMS operated simultane-
ously for 400 of 499 (80.2%) potential sampling
nights. Bat passes gradually increased beginning
in April, peaked in August, and declined grad-
ually until December when relatively few passes

were recorded (Fig. 1a). Big brown bats were
recorded during all of the active season (April to
December) and on 11 February and in March
(Fig. 1b). Eastern red bats were recorded by all
the BMS during all of the active season and
in February and early March (Fig. 1c). Hoary
bats were recorded by all the BMS during all
of the active season and in February (Fig. 1d).
Silver-haired bats were recorded mostly in au-
tumn and on two nights in April (Fig. 1e). Tri-
colored bats were recorded from early May to
early October and almost exclusively at the north-
ern BMS (Fig. 1f). Only one tri-colored bat pass
was recorded by the middle BMS, and none were
recorded by the southern BMS.

Model structure

The best candidate AR function for the time
series models differed among the BMS accord-
ing to wAICc values. There were two or more
competing models for each BMS (Table 1). Of

Fig. 1 Nightly activity of a all bat species combined, b
big brown bats (E. fuscus), c eastern red bats (Lasiurus
borealis), d hoary bats (Lasiurus cinereus), e silver-haired
bats (Lasionycteris noctivagans), and f tri-colored bats (P.
subf lavus) recorded by BMS at Assateague Island Na-

tional Seashore, Maryland, 2005–2006. Only one BMS was
operating from 6 July to 7 August 2006. Data for silver-
haired bats include undetermined big brown or silver-
haired bat echolocation passes. Note the different scales on
ordinate axes
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Table 1 AR model selection using Akaike Information
Criteria (AICc) difference with correction for small sam-
ple sizes (�AICc) and model weight (wAICc) for deter-
mining temporal independence of bat echolocation passes
recorded at three BMS at Assateague Island National
Seashore, 2005–2006

Bat monitoring AICc �AICc wAICc AR(p)
station modela

Northern BMS 363.26 0.00 0.690 7
364.86 1.60 0.310 8
366.16 2.90 0.162 9

Middle BMS 429.46 0.00 0.693 4
431.11 1.65 0.304 5

Southern BMS 349.41 0.00 0.680 4
350.92 1.50 0.320 5
351.31 1.90 0.263 6

Only candidate models <3 �AICc are included
a p = order of AR model

the competing models for each BMS, we chose
the model with the highest wAICc: AR(7) for the
northern BMS and AR(4) for both the middle
and southern BMS. Seasonal trends in bat passes
followed cosine functions. After accounting for
seasonal trends and autocorrelation, all weather
variables explained some residual variation in bat
activity but varied among the BMS in terms of sig-
nificance. Some weather variables did not have a
consistent significant effect on bat activity among

the BMS (Table 2). However, mean nightly tem-
peratures (Temphr) consistently had a significant
positive effect on bat activity, and mean nightly
wind speeds (Windmean) consistently had a nega-
tive effect on bat activity (Table 2).

Final models were used to predict seasonal
trends in bat activity, which varied by night and
location (Fig. 2a–c). Residual standard errors of
final models for the northern, middle, and south-
ern BMS were 0.555, 0.417, and 0.447, respectively
(Fig. 3a–c). Residuals that exceeded 2 standard
deviations (n = 57) only occurred during migra-
tion periods, i.e., spring (n = 12) and autumn
(n = 45). During the months of June, July, or
August, no residuals exceeding 2 standard devia-
tions occurred, indicating that seasonal trends and
weather co-variables adequately explained varia-
tion in bat activity during summer (Fig. 4). Only
juvenile eastern red bats were captured at ASIS
(the first on 20 July) and gradually comprised a
larger percentage of total captures through Au-
gust (Fig. 5). On 25 April and 12 and 22 Oc-
tober 2006, at least two BMS had residuals that
exceeded 2 standard deviations. On 2 November
2006, all the three BMS had residuals that ex-
ceeded 2 standard deviations. On 15 October 2005
and 2 November 2006, silver-haired bat passes
and/or indiscernible silver-haired bat/big brown
bat passes were recorded by all the three BMS.

Table 2 Effects of
weather conditions on bat
activity recorded at
Assateague Island
National Seashore,
2005–2006

Bat monitoring station Variable Coefficient SE P

Northern BMS Intercept 0.859 0.985 0.383
Rainhr −0.068 0.063 0.281
Temphr 0.022 0.003 <0.001
Windmean −0.755 0.085 <0.001
RelHum −0.536 0.099 <0.001
Baro −0.021 0.031 0.497

Middle BMS Intercept 2.542 1.077 0.019
Rainhr −0.222 0.079 0.005
Temphr 0.020 0.004 <0.001
Windmean −0.424 0.120 <0.001
RelHum −0.364 0.113 0.001
Baro −0.066 0.034 0.055

Southern BMS Intercept 3.072 1.025 0.003
Rainhr −0.255 0.075 <0.001
Temphr 0.025 0.004 <0.001
Windmean −0.286 0.117 0.015
RelHum −0.167 0.111 0.133
Baro −0.100 0.033 0.003
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Fig. 2 Model predictions
(solid line) of bat passes
(log transformed) based
on seasonal trends and
weather variables and
observed (dotted line)
values of bat passes (log
transformed) recorded at
three BMS on the
northern (a), middle
(b), and southern
(c) portions of
Assateague Island
National Seashore,
Maryland, 2005–2006.
Line gaps are due to
malfunctioning BMS.
Note the different scales
on the ordinate axes
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Fig. 3 Model residuals
calculated as the
differences between
predicted and observed
values of bat passes
recorded at three bat
monitoring stations on
the northern (a), middle
(b), and southern
(c) portions of
Assateague Island
National Seashore,
Maryland, 2005–2006.
Note the different scales
on the ordinate axes
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Fig. 4 Model residuals
that exceeded means by
≥2 standard deviations,
calculated as the
differences between
predicted and observed
values of bat passes
recorded at three bat
monitoring stations on
the northern (f illed
circle), middle (empty
circle), and southern
(inverted triangle)
portions of Assateague
Island National Seashore,
Maryland, 2005–2006

According to the multiplicative probability rule,
the chances of recording silver-haired bat passes
and/or indiscernible silver-haired bat/big brown
bat passes on all BMS on any single night was 1 in
96,970. In contrast, there was about 1 in 7 chance
of recording eastern red bat passes and a 1 in 130
chance of recording big brown bat passes on any
single night at all the three BMS.

The final models indicated that after account-
ing for seasonal trends (sine and cosine functions),

bat activity was autocorrelated (not independent)
for a seven-night period at the northern BMS and
for a four-night period at both the middle and
southern BMS. Therefore, to compare bat activity
among the BMS, we used data from seven-night
intervals. The middle and southern BMS recorded
similar levels of nightly bat passes (regardless
of night analyzed) but recorded more bat passes
than the northern BMS (night 1, F182,2 = 13.5,
P < 0.001; night 2, F182,2 = 11.9, P < 0.001; night

Fig. 5 Percent of nightly
total mist netting captures
comprised of juveniles at
Assateague Island
National Seashore,
Maryland, 2005–2006
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3, F173,2 = 8.36, P < 0.001; night 4, F165,2 = 11.0,
P < 0.001; night 5, F168,2 = 9.5, P < 0.001; night 6,
F165,2 = 6.7, P = 0.002; night 7, F165,2 = 7.3, P =
0.001).

Bat species composition documented with con-
tinuous long-term acoustic monitoring at ASIS
was similar to that on the lower Coastal Plain of
the southeastern United States where the majority
of activity throughout the year was comprised
of lasiurine bats and myotine bats were absent
(Menzel et al. 2000, 2003; Limpert et al. 2007;
Johnson and Gates 2008). On the Coastal Plain
of the southeastern United States, including
Maryland, myotine bats were documented less
frequently than in the western Piedmont (Menzel
et al. 2000, 2003; Johnson and Gates 2008; Johnson
et al. 2008). Although it is unclear why myotine
bats are not common on the Coastal Plain, it
is possible that at long distances from hiber-
nacula and particularly at ASIS, a low diversity
of roosting structures discourage their presence
(Humphrey 1975; Furlonger et al. 1987; Johnson
and Gates 2008).

Our data indicate that migrant bats use ASIS,
including silver-haired bats, hoary bats, and east-
ern red bats, but the extent of use during mi-
gration is uncertain. Silver-haired bats were only
recorded during migration periods, indicating that
they may use ASIS as a stopover during migration
but likely do not use the area during the summer
maternity period. A study using radio-telemetry
on migrant bats would be necessary to determine
the extent of bat use of ASIS during migration.
Our acoustic recordings of silver-haired bats were
not the first documentation of this species at
ASIS during autumn migration. Silver-haired bats
were captured in mist nets at ASIS during north-
ern saw-whet owl (Aegolius acadicus) surveys in
late-October 1992, 1995, and 2001 (D. Brinker,
Maryland Department of Natural Resources, per-
sonal communication). Two nights of mist netting
for bats in October 2006 recorded only eastern red
bats (Johnson and Gates 2008). Hoary bats and
eastern red bats were recorded by the BMS during
all seasons, making it more difficult to determine
if echolocation passes were recorded from mi-
grants or residents. Moreover, the majority of bat
passes were those of eastern red bats. Many of the
nights that we determined were migration events

were probably attributable to migrant eastern red
bats.

Because residuals exceeding 2 standard devi-
ations in the final model occurred only during
migration periods and not during the summer
maternity period, our models performed well in
predicting summer bat activity. However, we were
unable to account for additional bat passes, prob-
ably contributed by migrant bats. Moreover, fitted
models accounted for the addition of juvenile bat
activity during late July and August. Our mod-
els indicated that autumn bat migration occurs
at ASIS from early September through Novem-
ber, and spring migration occurs from as early
as mid-February to mid-May. However, unusually
high activity levels in February may have been
due to arousal of overwintering bats on warm
winter evenings as observed in the Mid-Atlantic
region (Whitaker et al. 1997; Moorman et al. 1999;
Cryan 2003; Dunbar and Tomasi 2006). Because
they roost in trees or leaf litter, tree-roosting bats,
i.e., hoary, eastern red, and silver-haired bats,
may be more exposed to short-term changes than
other bat species in the region and arouse dur-
ing weather anomalies (Turbill 2008). The major-
ity of residuals exceeding 2 standard deviations
occurred during the autumn migration period,
suggesting that bat migration in spring is more
episodic or simply that more bats are migrating
through ASIS in autumn than in spring. Higher
activity levels during autumn may be attributable
to the activity of mating bats (Turbill 2008), but
the characteristics, i.e., timing and location, of bat
mating activity in the local area remains unclear.
The most compelling evidence that bats migrate
through ASIS is the significant event that oc-
curred on 2 November 2006 when silver-haired
bats were recorded at all three BMS and large
model residuals existed in the dataset. On this
night, the average predicted bat activity among
the three BMS was 6.2, whereas the actual bat
activity was 91.3. No weather anomalies were
associated with this date; the mean temperature
was 7.7◦C, and the mean wind speed was 3.0 m/s.

Seasonal trends in bat activity at ASIS were
consistent with patterns in the Appalachian
Mountain region (e.g., Fiedler 2004; Lott 2007).
Also, bat activity levels at ASIS were similar to
those documented at wind energy development
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sites in North America (Reynolds 2006). How-
ever, the number of bat passes represents an index
of bat activity rather than the number of bats
traveling through an area, which makes it difficult
to assess or predict the number of bats that po-
tentially could be affected by near and offshore
wind energy facilities (Broders 2003). Also, most
bat passes were eastern red bats, suggesting that
coastal areas may be as important, if not more
important, than the Appalachian Mountains for
this migratory species. Moreover, because most
of the total bat activity was eastern red bats, our
models may be most appropriately applied to this
species.

Many studies have focused on the effects of
weather on bat activity. These studies typically
found that greater winds, precipitation, and baro-
metric pressure, and lower temperatures and rel-
ative humidity were negatively associated with
bat activity (Lacki 1984; Paige 1995; Erickson
and West 2002; Parsons et al. 2003; Reynolds
2006). Our findings support these generalizations,
although some weather variables did not sig-
nificantly affect bat activity. While not con-
sistently significant among the three BMS,
barometric pressure, relative humidity, and pre-
cipitation generally had a negative association
with bat activity. Greater nightly mean temper-
atures and lesser mean wind speeds were pos-
itively associated with bat activity at all areas
sampled. Greater nightly and seasonal temper-
atures commonly are associated with greater
bat activity, mostly due to greater insect avail-
ability during warmer temperatures and seasons
(O’Farrell et al. 1967; Hayes 1997; Erickson and
West 2002; Ciechanowski et al. 2007). Lesser wind
speeds also are associated with greater bat ac-
tivity, as well as greater mortality rates at wind
energy facilities (Reynolds 2006; Baerwald et al.
2009). However, it is unclear if high winds reduced
the effective sampling range of the bat detectors,
resulting in an artificially low number of bat detec-
tions. Our results support the notion of possible
bat mortality mitigation through increased wind
turbine cut-in wind speeds, particularly during mi-
gration periods (Baerwald et al. 2009). In order
for wind turbines to efficiently convert kinetic
energy of wind to mechanical energy to turn a
generator, a minimum wind speed (e.g., 3 m/s) is

required. Below this cut-in wind speed, turbines
are inefficient and wind turbine blade speed can
be reduced or even stopped to reduce the risk of
bat–blade collision (Baerwald et al. 2009).

The BMS differed in the amount of bat passes
they recorded, probably due to differences in
habitat surrounding them. The northern BMS
recorded far fewer bat echolocation passes, on
average, than the middle and southern BMS pre-
sumably because it was located far from mature
forest stands where bats were more likely to roost.
Indeed, the nearest roosting habitat to the north-
ern BMS was on the mainland (≥1 km), Fenwick
Island to the north, or farther south on ASIS.
The final model for the northern BMS indicated
that bats migrate through ASIS during autumn
but not spring. Conversely, models for the middle
and southern BMS indicated that bats migrate
through ASIS in autumn and, to a lesser extent,
in spring. Further research is needed to determine
the extent of bat use of ASIS and other coastal
barrier islands during migration and to determine
potential impacts of near and offshore wind en-
ergy facilities on bats.

Conclusions

Our research indicates that bats migrate along the
Atlantic coastline and use barrier islands, possi-
bly for navigation or as stopover sites (Fleming
and Eby 2003). This may have implications for
proposed offshore wind energy facilities in that
bats migrating along the coast may collide with
wind turbines. Our results corroborate anecdotal
accounts of bats observed at sea and suggest that
bats may migrate over the Atlantic Ocean and
along the coastline. Wind turbines offshore may
be attractive to bats as resting places or possi-
ble mating areas, increasing the risk of bat mor-
tality (Cryan 2008; Horn et al. 2008). Although
the BMS did not detect possible bat activity at
the swept height of wind turbines and were not
located offshore, our results support previous
observations suggesting bats, particularly eastern
red, hoary, and silver-haired bats, may be at risk
for colliding with near and offshore wind turbines.
Furthermore, these species may be affected more
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by wind energy facilities near the coast than my-
otine bats, including the federally listed Indiana
myotis, which is not known to occur on the lower
Coastal Plain of the Mid-Atlantic States (USFWS
2007). Bat migration activity appears to be greater
in autumn and is influenced by nightly temper-
atures and wind speeds. Bats were less active
during periods of low temperatures and high wind
speeds, possibly above thresholds for wind turbine
cut-in speed. We conclude that bats, specifically
eastern red, hoary, and silver-haired bats, use this
barrier island during migration and that this phe-
nomenon may have implications for the develop-
ment of near and offshore wind energy.
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Ciechanowski, M., Zając, T., Biłas, A., & Dunajski,
R. (2007). Spatiotemporal variation in activity of
bat species differing in hunting tactics: Effects of
weather, moonlight, food abundance, and structural
clutter. Canadian Journal of Zoology, 85(12), 1249–
1263.

Cooley, R. (1954). Second record of the hoary bat in
Florida. Journal of Mammalogy, 35(1), 116–117.

Corben, C. (2001). Analook. Version 4.8p. Computer soft-
ware. IBM.

Cryan, P. M. (2003). Seasonal distribution of migratory tree
bats (Lasiurus and Lasionycteris) in North America.
Journal of Mammalogy, 84(2), 579–593.

Cryan, P. M. (2008). Mating behavior as a possible cause
of bat fatalities at wind turbines. Journal of Wildlife
Management, 72(3), 845–849.

Cryan, P. M., & Brown, A. C. (2007). Migration of bats
past a remote island offers clues toward the problem
of bat fatalities at wind turbines. Biological Conserva-
tion, 139(1), 1–11.

Dunbar, M. B., & Tomasi, T. E. (2006). Arousal patterns,
metabolic rate, and an energy budget of eastern red
bats (Lasiurus borealis) in winter. Journal of Mammal-
ogy, 87(6), 1096–1102.

Erickson, J. L., & West, S. D. (2002). The influence of
regional climate and nightly weather conditions on ac-
tivity patterns of insectivorous bats. Acta Chiroptero-
logica, 4(1), 17–24.

Fenton, M. B., & Bell, G. P. (1981). Recognition of species
of insectivorous bats by their echolocation calls. Jour-
nal of Mammalogy, 62(2), 233–243.

Fiedler, J. K. (2004). Assessment of bat mortality and activ-
ity at Buf falo Mountain Windfarm, eastern Tennessee.
MSc thesis, University of Tennessee, Knoxville, TN,
USA.

Fleming, T. H., & Eby, P. (2003). Ecology of bat migration.
In T. H. Kunz & M. B. Fenton (Eds.), Bat ecology.
Chicago: University of Chicago Press.

Furlonger, C. L., Dewar, H. J., & Fenton, M. B. (1987).
Habitat use by foraging insectivorous bats. Canadian
Journal of Zoology, 65(2), 284–288.

Global Wind Energy Council [GWEC] (2008). Global
wind 2007 report. Brussels: Global Wind Ener-
gy Council. http://www.gwec.net/fileadmin/documents/
test2/gwec-08-update_FINAL.pdf. Accessed 3 June
2008.

Grewal, R., Cote, J. A., & Baumgartner, H. (2004). Multi-
collinearity and measurement error in structural equa-
tion models: Implications for theory testing. Marketing
Science, 23(4), 519–529.

http://www.awea.org/pubs/factsheets/Market_Update_Factsheet.pdf
http://www.awea.org/pubs/factsheets/Market_Update_Factsheet.pdf
http://www.bluewaterwind.com/de_overview.htm
http://www.bluewaterwind.com/de_overview.htm
http://www.gwec.net/fileadmin/documents/test2/gwec-08-update_FINAL.pdf
http://www.gwec.net/fileadmin/documents/test2/gwec-08-update_FINAL.pdf


698 Environ Monit Assess (2011) 173:685–699

Hayes, J. P. (1997). Temporal variation in activity of bats
and the design of echolocation-monitoring studies.
Journal of Mammalogy, 78(2), 514–524.

Higgins, E. A. T., Rappleye, R. D., & Brown, R. G. (1971).
The f lora and ecology of Assateague Island. College
Park: University of Maryland, Agricultural Experi-
mental Station.

Horn, J. W., Arnett, E. B., & Kunz, T. H. (2008). Be-
havioral responses of bats to operating wind turbines.
Journal of Wildlife Management, 72(1), 123–132.

Humphrey, S. R. (1975). Nursery roosts and community di-
versity of Nearctic bats. Journal of Mammalogy, 56(2),
321–346.

Jain, A., Kerlinger, P., Curry, R., & Slobodnik, L. (2007).
Annual report for the Maple Ridge wind power project
post-construction bird and bat fatality study—2006.
Cape May Point, NJ: PPM Energy and Horizon En-
ergy, Curry and Kerlinger LLC.

Johnson, G. D., Erickson, W. P., Strickland, M. D.,
Shepherd, M. F., & Shepherd, D. A. (2003). Mortality
of bats at a large-scale wind power development at
Buffalo Ridge, Minnesota. American Midland Natu-
ralist, 150(2), 332–342.

Johnson, J. B., & Gates, J. E. (2008). Bats of Assateague Is-
land National Seashore, Maryland. American Midland
Naturalist, 160(1), 160–170.

Johnson, J. B., Menzel, M. A., Edwards, J. W., & Ford,
W. M. (2002). A comparison of 2 acoustical bat survey
techniques. Wildlife Society Bulletin, 30(4), 931–936.

Johnson, J. B., Gates, J. E., & Ford, W. M. (2008). Dis-
tribution and activity of bats at local and landscape
scales within a rural-urban gradient. Urban Ecosys-
tems, 11(2), 227–242.

Kerns, J., & Kerlinger, P. (2004). A study of bird and
bat collision fatalities at the Mountaineer Wind En-
ergy Center, Tucker County, West Virginia: Annual
report for 2003. Cape May Point: Curry and Kerlinger,
LLC.

Kunz, T. H., Arnett, E. B., Erickson, W. P., Hoar, A.
R., Johnson, G. D., Larkin, R. P., et al. (2007). Eco-
logical impacts of wind energy development on bats:
Questions, research needs, and hypotheses. Frontiers
in Ecology and the Environment, 5(5), 315–324.

Kuvlesky, W. P., Jr., Brennan, L. A., Morrison, M. L.,
Boydston, K. K., Ballard, B. M., & Bryant, F. C.
(2007). Wind energy development and wildlife con-
servation: Challenges and opportunities. Journal of
Wildlife Management, 71(8), 2487–2498.

Lacki, M. J. (1984). Temperature and humidity-induced
shifts in the flight activity of little brown bats. Ohio
Academy of Science, 84(5), 264–266.

Limpert, D. L., Birch, D. L., Scott, M. S., Andre, M., &
Gillam, E. (2007). Tree selection and landscape analy-
sis of eastern red bat day roosts. Journal of Wildlife
Management, 71(2), 478–486.

Lott, K. D. (2007). Daily and seasonal patterns of bat ac-
tivity along Central Appalachian ridges. MSc thesis,
Frostburg State University, Frostburg, MD, USA.

Mackiewicz, J., & Backus, R. H. (1956). Oceanic records of
Lasionycteris noctivagans and Lasiurus borealis. Jour-
nal of Mammalogy, 37(3), 442–443.

Menzel, J. M., Menzel, M. A., Ford, W. M., Edwards, J.
W., Sheffield, S. R., Kilgo, J. C., et al. (2003). The dis-
tribution of the bats of South Carolina. Southeastern
Naturalist, 2(1), 121–152.

Menzel, M. A., Chapman, B. R., Ford, W. M., Menzel, J.
M., & Laerm, J. (2000). A review of the distribution
and roosting ecology of bats in Georgia. Georgia Jour-
nal of Science, 58(3), 143–178.

Menzel, M. A., Carter, T. C., Menzel, J. M., Ford, W. M.,
& Chapman, B. R. (2002). Effects of group selection
silviculture in bottomland hardwoods on the spatial
activity patterns of bats. Forest Ecology and Manage-
ment, 162(2), 209–218.

Milne, D. J., Fisher, A., Rainey, I., & Pavey, C. R. (2005).
Temporal patterns of bats in the top end of the
Northern Territory, Australia. Journal of Mammal-
ogy, 86(5), 909–920.

Montgomery, D. C., Jennings, C. L., & Kulahci, M. (2008).
Introduction to time series analysis and forecasting.
Hoboken: Wiley.

Moorman, C. E., Russell, K. R., Menzel, M. A., Lohr, S.
M., Ellenberger, J. E., & Van Lear, D. H. (1999). Bats
roosting in deciduous leaf litter. Bat Research News,
40, 74–75.

Murray, K. L., Britzke, E. R., & Robbins, L. W. (2001).
Variation in search-phase calls of bats. Journal of
Mammalogy, 82(3), 728–737.

National Oceanic and Atmospheric Administration
(NOAA) (2004). Climatological data annual summary,
Maryland and Delaware (Vol. 128, no. 13).

Norton, A. H. (1930). A red bat at sea. Journal of Mam-
malogy, 11(2), 225–226.

O’Farrell, M. J., Bradley, W. G., & Jones, G. W. (1967).
Fall and winter bat activity at a desert spring in
southern Nevada. Southwestern Naturalist, 12(2), 163–
171.

O’Farrell, M. J., Miller, B. W., & Gannon, W. L. (1999).
Qualitative identification of free-flying bats using the
Anabat detector. Journal of Mammalogy, 80(1), 11–
23.

Paige, K. N. (1995). Bats and barometric pressure: Con-
serving limited energy and tracking insects from the
roost. Functional Ecology, 9(3), 463–467.

Paradiso, J. L. (1969). Mammals of Maryland. United
States Bureau of Sport Fisheries and Wildlife, North
American Fauna, No. 66.

Parsons, K. N., Jones, G., & Greenaway, F. (2003). Swarm-
ing activity of temperate zone microchiropteran bats:
Effects of season, time of night and weather condi-
tions. Journal of Zoology, 261(3), 257–264.

R Development Core Team (RDCT) (2008). R: A language
and environment for statistical computing. Vienna: R
Foundation for Statistical Computing.

Reynolds, D. S. (2006). Monitoring the potential impact
of a wind development site on bats in the North-
east. Journal of Wildlife Management, 70(5), 1219–
1227.

SAS Institute, Inc. (2004). SAS/STAT 9.1 users guide. Ver-
sion 9.1. Cary: SAS Institute, Inc.

Soper, S. J. (2007). N.J. company seeks to erect 150
wind turbines of f coast. Berlin, MD: The Dispatch.



Environ Monit Assess (2011) 173:685–699 699

http://www.mdcoastdispatch.com/article.php?cid=30&
id=1676. Accessed 3 June 2008.

Tenaza, R. R. (1966). Migration of hoary bats on South
Farallon Island, California. Journal of Mammalogy,
47(3), 533–535.

Thomas, D. W. (1988). The distribution of bats in different
ages of Douglas-fir forests. Journal of Wildlife Man-
agement, 52(4), 619–626.

Turbill, C. (2008). Winter activity of Australian tree-
roosting bats: Influence of temperature and climatic
patterns. Journal of Zoology, 276(3), 285–290.

United States Fish and Wildlife Service (USFWS) (2007).
Indiana bat (Myotis sodalis) draft recovery plan: First
revision. Fort Snelling: United States Fish and Wildlife
Service, Region 3.

Whitaker, J. O. Jr., Rose, R. K., & Padgett, T. M.
(1997). Food of the red bat Lasiurus borealis in win-
ter in the Great Dismal Swamp, North Carolina and
Virginia. American Midland Naturalist, 137(2), 408–
411.

Zar, J. H. (1984). Biostatistical analysis. Englewood Cliffs:
Prentice-Hall, Inc.

http://www.mdcoastdispatch.com/article.php?cid=30&id=1676
http://www.mdcoastdispatch.com/article.php?cid=30&id=1676

	Monitoring seasonal bat activity on a coastal barrier island in Maryland, USA
	Abstract
	Introduction
	Materials and methods
	Study site
	Acoustic monitoring
	Model structure

	Results and discussion
	Acoustic monitoring
	Model structure

	Conclusions
	References




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated v2 300% \050ECI\051)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 600
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e5c4f5e55663e793a3001901a8fc775355b5090ae4ef653d190014ee553ca901a8fc756e072797f5153d15e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc87a25e55986f793a3001901a904e96fb5b5090f54ef650b390014ee553ca57287db2969b7db28def4e0a767c5e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020d654ba740020d45cc2dc002c0020c804c7900020ba54c77c002c0020c778d130b137c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor weergave op een beeldscherm, e-mail en internet. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create Adobe PDF documents best suited for on-screen display, e-mail, and the Internet.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
    /DEU <FEFF004a006f0062006f007000740069006f006e007300200066006f00720020004100630072006f006200610074002000440069007300740069006c006c0065007200200037000d00500072006f006400750063006500730020005000440046002000660069006c0065007300200077006800690063006800200061007200650020007500730065006400200066006f00720020006f006e006c0069006e0065002e000d0028006300290020003200300031003000200053007000720069006e006700650072002d005600650072006c0061006700200047006d006200480020>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing false
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.276 841.890]
>> setpagedevice


