
Vol.:(0123456789)

European Journal of Psychology of Education (2024) 39:297–317
https://doi.org/10.1007/s10212-023-00685-6

1 3

Online processing while monitoring worked‑out examples 
with embedded errors: defining university student profiles

Vicente Sanjosé1  · Carlos B. Gómez‑Ferragud1  · Joan Josep Solaz‑Portolés1 

Received: 1 June 2022 / Revised: 19 January 2023 / Accepted: 23 January 2023 /  
Published online: 6 February 2023 
© The Author(s) 2023

Abstract
This study explores the process itself of comprehension monitoring of worked-out 
examples in mathematics. A ‘reversal error’ was embedded in a worked-out exam-
ple of algebraic nature. Ninety-four engineers in a master’s degree program to 
become secondary teachers of technology were asked to judge the comprehensibility 
of the statement and the resolution provided, and to report in writing any incoher-
ence, inconsistency, or error they might detect. The participants’ mental processes 
throughout the task were operationalized through behavioural variables based on a 
psychological mechanism proposed for inconsistency detection. The behavioural vari-
ables focused on the monitoring of important mathematical processes, the algebraic 
translation, and the interpretation of the numerical solution of the worked example. 
The software ‘Read and Answer’ was used to record online data on each participant’s 
behaviour while monitoring the example, as well as his/her written partial and final 
reports (the task products). An individual short interview was conducted to increase 
the reliability of the study. Data from each participant were first analysed. Secondly, 
data from all the participants were considered together in statistical analyses aimed 
at relating behavioural variables to task products. Four student monitoring profiles 
were identified corresponding to different combinations of detection/overlooking the 
embedded algebraic inconsistency, and detection/overlooking the subsequent incon-
sistency in the result: ‘competent monitoring’, ‘delayed monitoring’, ‘blocked moni-
toring’, and ‘poor monitoring’ students. Implications for teaching are discussed.
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Introduction

Instruction could be better tailored to students and thus be more effective, if students’ 
mental processes were known and reliably associated with the outcomes (the products) 
in different learning tasks to determine ‘student profiles’ (Vettori et al., 2022). Some of 
these processes involve metacognition (Cromley & Kunze, 2020; Veenman et al, 2006) 
and metacognitive skills that have been proven to be important predictors of academic 
performance (Ohtani & Hisasaka, 2018), particularly in mathematics (Desoete & de 
Craene, 2019; Muncer et al, 2022).

One of these metacognitive skills, comprehension monitoring, has been shown to 
significantly contribute to human learning (Guo, 2022; Huang et  al., 2022). It has 
been extensively studied in the field of reading comprehension as a factor related to 
comprehension outcomes (Baker & Beall, 2014; Guzman et al., 2018; Kolić-Vehovec 
& Bajšanski, 2006; Soto et  al., 2022) and to mental mechanisms. For instance, Van 
den Broek and Helder (2017) studied the monitoring processes aimed at establishing 
coherence in a reader’s mental representation of a text, considering the influence of 
readers’ standards of coherence and their prior knowledge. Otero (2009) analysed the 
way readers monitor their understanding to ask information-seeking questions. In a 
simple model, Otero (2009) proposed that question-asking is a type of regulation step 
taken after detecting a comprehension obstacle in a text. More recent work on text 
comprehension monitoring has focused on readers’ processing behaviour variables. 
In different studies using eye-tracking (Connor et  al., 2015) or computerized 
environments (van Moort et  al., 2018), gaze location and duration were examined 
both at word and sentence level. The results showed the following: (a) an increase 
in gaze duration when an anomaly is detected, compared to reading consistent 
information (the ‘Inconsistency effect’; Kim et  al., 2018) and (b) more time spent 
by participants with good regulatory skills rereading an inconsistent text due to their 
attempts to re-establish coherence (Currie et  al., 2021; Zargar et  al., 2020). Similar 
readers’ processing behaviours were obtained when reading in a foreign language, 
although comprehension monitoring was found to be more difficult mainly due to 
word processing and word-to-text integration problems (Mulder et al., 2021).

Comprehension monitoring has also been analysed in mathematics education 
(Başokçu & Güzel, 2022; Callan & Cleary, 2019; Cohors-Fresenborg et  al., 2010; 
Van Haneghan & Baker, 1989), in particular with the use of eye trackers (Strohmaier 
et al., 2020), intelligent tutors (Del Olmo-Muñoz et al., 2022), or electronic support-
ing systems (Ge, 2013). As in reading comprehension, differences in the number and 
time of eye fixations, their loci, and their sequence, as well as in the number of eye 
regressions, were consistently related to differences between poor and good perform-
ers in tasks such as problem-solving (Strohmaier et al., 2019) or arithmetic (Huebner 
& LeFevre, 2018).

However, few of the above studies in mathematics education tried to relate the stu-
dents’ processing behaviours to their mental processes in terms of psychological mod-
els. Therefore, most of these results are difficult to integrate into current psychological 
knowledge about learning, and particularly about learning mathematics.



299Online processing while monitoring worked‑out examples with…

1 3

The present study

The main objectives of the present study were:

(1) To identify university student monitoring profiles in a specific monitoring task, from 
the task products elaborated and from interviews with the participants, and then char-
acterize these profiles by differences in the students’ mental processes involved. The 
monitoring task proposed was judging the comprehensibility of algebraic worked-out 
examples and reporting in writing any error or inconsistency detected.

(2) To characterize the student monitoring profiles by the specific mental processing 
involved, operationalized through behavioural variables in the light of a psychologi-
cal model for inconsistency detection. This implies relating the students’ behavioural 
variables to the products they elaborate on in the task (the written reports) with high 
reliability.

In mathematics education, worked-out examples are frequently used in instruction. 
Worked-out examples are, basically, fully solved problems offered to facilitate novice stu-
dents’ encoding and abstraction of problem schemata (i.e. typified relations between state-
ment information and mathematical procedures) with low cognitive load and effort (van 
Gog et  al., 2011). Several processes linking external (linguistic) and internal representa-
tions are necessary to completely solve an algebraic problem (Bosse et  al., 2020; Polya, 
1945). In essence:

(1) Comprehension of the problematic situation described in the statement. This implies 
the elaboration of a suitable situation model usually involving a solver’s previous 
knowledge.

(2) Translation of plain language (statement) into mathematical language, resulting in 
algebraic equations or arithmetical operations. This step corresponds to the elaboration 
of a problem model based on a situation model (Kintsch & Greeno, 1985).

(3) Transformations of mathematical language, within the problem model, in order to 
achieve a solution.

(4) Interpretation of the mathematical solution in the context of the situation model, i.e. 
giving meaning to the solution (a kind of inverse translation).

In a worked-out example, the solver’s knowledge that should be activated and the 
required mathematical transformations in order to achieve a solution, are explicit. Yet stu-
dents are expected to check their comprehension of the translation process, as well as to 
interpret the solution.

Embedding deliberated inconsistencies in the information provided is one of the most 
used procedures to assess monitoring (Winograd & Johnston, 1982). In the present study, 
the translation process was deliberately altered by embedding a specific inconsistency, a 
‘reversal error’ (Soneira et al., 2018), in one equation. The reversal error consists in inad-
equately interchanging two variables in an equation. This is caused by an incorrect word 
order matching’, or by an interpretation of the algebraic expressions as labels instead of 
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operations (Clement et al., 1981, p. 288). Because of the reversal error embedded, the solu-
tion obtained was also erroneous and it did not make sense, in direct disagreement with 
a correct interpretation. Therefore, the translation as well as the interpretation processes 
were altered by the embedded error.

Erroneous worked-out examples have been used successfully in instruction to improve 
students’ problem-solving skills (Chen et al., 2019; Zhao & Acosta-Tello, 2016).

To collect data on students’ monitoring ability, the software ‘Read and Answer’ (Vidal-
Abarca et al., 2011) was used. Online measures to assess metacognition seem to be more 
accurate than offline measures (Veenman & van Cleef, 2019), but eye trackers are still 
expensive and difficult to use in educational settings. ‘Read and Answer’ records the stu-
dent’s processing behaviour online, as well as the results of the proposed task. The stu-
dents’ mental activity while performing the task was inferred from their behavioural online 
data by means of a theoretical model described below. Finally, a taxonomy of students’ 
monitoring profiles was proposed and characterized in detail.

A psychological model for inconsistency detection

Vosniadou et al., (1988; p. 28) proposed a metacognitive mechanism to explain how incon-
sistencies in a provided information are detected and reported. Based on this mechanism 
and on Kintsch’s (2018) construction-integration model for reading comprehension, Otero 
and Kintsch (1992) elaborated a computer simulation which properly explained students’ 
success or failure in detecting inconsistencies in plain texts. According to Vosniadou et al., 
(1988; p. 28) and to Otero and Kintsch (1992), the requisites for detecting an inconsistency 
are:

(1) The inconsistent propositions (units of meaning) must be read (or listened), encoded, 
and represented in working memory in the construction phase.

(2) These representations must be compared to one another. This implies the simultaneous 
processing of the inconsistent propositions in the same cycle in working memory.

(3) Both inconsistent propositions must remain activated at the end of the processing cycle. 
If one of two inconsistent propositions were inhibited by the other in the integration 
phase, the reader would not feel a break in coherence, as obtained by Otero and Kintsch 
(1992).

Once an inconsistency has been detected, the reader can initiate regulatory actions in 
order to re-establish coherence. Among these actions, rereading is frequent to assure the 
presence of the incoherence (Zargar et al., 2020). Additionally, the use of ‘fix-up’ strate-
gies, i.e. adding personal information in the construction phase to resolve the contradiction 
(Otero, 2002), are also frequent.

As when reading in a second/foreign language, giving meaning to mathematical lan-
guage or to natural language has been shown to use different brain resources in expert 
mathematicians (Amalric & Dehaene, 2019). Hence, previous results using this theoretical 
basis in tasks only involving plain language might not be applicable to math tasks.

In the case of worked-out algebra-problem examples, plain language (statement) 
and algebra (resolution) must be processed and coherently related to achieve compre-
hension. To check for coherence, and thus to build and compare different propositions 
(units of meaning), students must translate one language into the other (translation and 
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interpretation processes). These processes increase the number of units entering the work-
ing memory (w.m.); thus, the probability of overload also increases. To reduce the cogni-
tive load, students can (re)parse the information into smaller chunks entering the w.m., 
which then causes the number of processing cycles to increase and establishing global 
coherence among many units could imply extra effort.

According to the psychological model that has been described, possible mistakes that 
could be found when students check the comprehensibility of a worked-out example with 
embedded errors, as in the present study, are the following:

(1) Poor elaboration of the situation model, caused by a limited or inadequate activation 
of a readers’ knowledge, for instance. In this case, some necessary propositions are not 
represented in working memory.

(2) Incorrect or non-existent checking of the translation process. In this case, some impor-
tant propositions from the statement are not compared in working memory with specific 
propositions from the mathematical resolution.

(3) The interpretation process is incorrect or is missing. This may be because some propo-
sitions from the mathematical result are not built, or because these propositions are not 
compared with specific propositions in the situation model.

Methods

Research design

A two-staged mixed model study was conducted. First, a detailed case analysis was made 
for each participant. The task product and the online data about the processing behaviour 
were individually analysed and categorized. A short interview was conducted with each 
subject to increase the reliability of the data. Second, all individual data were put together 
to perform statistical analyses looking for student profiles.

Participants

Ninety-four (30 women and 64 men) Spanish postgraduate students (24–34  years old) 
participated in this study. They were all graduates of different engineering specialities 
and enrolled in a master’s degree program. They were chosen for the good mathemati-
cal command and problem-solving experience that engineers usually show. Therefore, their 
potential obstacles in a monitoring-for-understanding task should be mainly due to fail-
ures in monitoring competence. A sampling procedure was not conducted; the sample was 
selected by their accessibility.

Students (adults) were asked for permission, and their participation in the study was vol-
untary. One student left the experimental session because she felt uncomfortable working 
out the proposed task on the computer.

Materials and task

The experimental worked-out example was segmented into information units as shown in 
Table 1 (the original statement in Spanish has been translated into English). A well-known 
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‘reversal mistake’ was embedded into a main equation (R1 in Table 1). Consequently, units 
S1 and R1 became inconsistent (as R1 should be the translation of S1 into algebra). The 
rest of the resolution did not include additional mistakes, so a wrong numerical solution 
(the Sol unit in Table 1) was caused by the wrong equation R1.

The task explicitly proposed to students was ‘Please, judge the comprehensibility of the 
worked-out example, the statement and the resolution, and report in writing everything that 
you consider incorrect, meaningless, inconsistent, or unintelligible. Be precise in explain-
ing the reason for each obstacle and locating it in the corresponding information units’. In 
this way, we try to avoid a ‘searching for errors task’ because it could lead students to an 
unrealistic monitoring activity. This task seems more appropriate for future teachers and is 
slightly different from that used in other studies with erroneous worked examples, where 
students are asked to find the errors as part of their instruction.

Instruments for data collection

The software ‘Read and Answer’1 was used to offer the worked-out example to the par-
ticipants, and to collect online data about their processing behaviour and the product of 
the task (a written report). ‘Read and Answer’ shows visual information (text for instance) 
on a computer screen and asks the user to perform a task related to this information. The 
user must process the information provided to elaborate the task outcome (the ‘product’). 
The text (or other written languages, such as algebra) must be divided into information 
segments (the segmentation used in the present study is shown in Table 1). Initially, the 
segments are shown masked and then, unreadable. When clicking on a segment, it becomes 
readable but only one can be read at once (see Fig. 1). The student can read and reread the 
segments in the order they want and as many times as they need.

The software also allows the student to access a second screen by clicking on a specific 
button on the main screen. In this second screen, the task is stated, and the answer has to 

Table 1  Textual and algebraic 
information units as they 
appeared in the task

(*) This equation contains the embedded error. The correct equation is 
as follows: 29 • T = S, as there are more students than teachers in the 
school!

Statement

S1: In a school there are twenty-nine times as many students (S) as 
teachers (T)

S2: There are six hundred people in total
S3: How many teachers are there at this school?
Resolution
R1: 29 • S = T (*)
R2: S + T = 600
R3: 29 • (600—T) = T
R4: 17,400 = 30 • T
R5: T = 580
Sol: Five hundred and eighty teachers

1 The software ‘Read and Answer’ can be obtained from the ‘ERI-Lectura’ research group at the University 
of Valencia: https:// www. uv. es/ uvweb/ estru ctura- inves tigac ion- inter disci plinar- lectu ra/ es/ produ ctos- tecno 
logic os/ produ ctos- tecno logic os/ compl ec- 12858 95298 583. html

https://www.uv.es/uvweb/estructura-investigacion-interdisciplinar-lectura/es/productos-tecnologicos/productos-tecnologicos/complec-1285895298583.html
https://www.uv.es/uvweb/estructura-investigacion-interdisciplinar-lectura/es/productos-tecnologicos/productos-tecnologicos/complec-1285895298583.html
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be written in a specific area. The participant can move from one screen to the other at their 
own pace and modify their written answer as many times as they wish. When the overall 
task is finished, the student can press a button to quit (at the bottom in Fig. 1).

‘Read and Answer’ records the complete time-ordered sequence of users’ actions and 
the time devoted to each one: unmasking information units (main screen), reading the task 
or (re)writing the answer (second screen), and pressing buttons. From these primary data, 
other indicators can be elaborated, such as the accumulated time in processing each unit. 
Therefore, the task outcome and the processing behaviour are registered together: dele-
tions, additions, substitutions, or rearrangements in partial and final elaborations, as well as 
the actions made while processing the information provided.

A brief individual interview was conducted aimed at increasing the reliability of the 
researchers’ interpretation of the online data, as in Otero et  al.’s (1992) study. In the inter-
view, the embedded error was shown to each participant, and the following questions were 
asked when appropriate: Did you detect this specific error? Did you report it in writing? If you 
detected the error but did not report it, why? In which step of the processing did you detect the 
error? If there were some participants with inappropriate regulation (i.e. detecting the error but 
not reporting it because of improper causal attribution), the interview could help identify them.

Procedure

Data collection took place in a computer classroom with 40 personal computers in 
a normal classroom session. Each participant performed the task individually. First,  

Fig. 1  Main screen in ‘read and answer’: each information unit is masked until clicking on it. Note: In 
Spanish, the letters A and P stand for student (‘alumno’) and teacher (‘profesor’), respectively.
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detailed instructions were read aloud and explained to the participants by one of the 
authors. Next, a practice example was used to train the participants in the use of the ‘Read 
and Answer’ software and to clarify the task. Throughout this practice, help was provided 
to the students and their doubts were clarified. Then, students addressed the experimental 
worked-out example at their own pace without additional help. The task lasted 20–25 min 
typically.

As they finished, the students went to an adjoining classroom to be individually inter-
viewed by the other two researchers. The interview typically lasted 2–5 min.

Variables and data analysis

Product and behavioural variables were defined and measured. First, as mentioned before, 
all the writing actions a reader made to elaborate their report about the comprehension 
obstacles found were registered. The ‘product’ dichotomic variable was defined as the 
explicit mention or oversight of the inconsistency between the ‘target’ segments S1 and 
R1: ‘Embedded Inconsistency Successfully Reported’ (Yes/No). This variable was defined 
based on each student’s written report and the interview only, without using behavioural 
data.

Second, the behavioural variables were defined based on the reading sequence and the 
reading times, independently of the written reports and interviews. Data regarding the pro-
cessing of plain language or algebra were analysed separately.

In order to differentiate normal from difficult professing, the normal reading paces in 
text and in algebra were individually computed. Average time per word and average time 
per algebraic symbol (letters-quantities, operations, equals sign, parenthesis), as well as 
standard deviations, were computed. These included all the reading visits that exceeded 
100 ms/word, a minimum time for accessing meaning. For a particular reader #j, any value 
in the interval  (Meanj ± Standard deviation j) was considered their normal reading pace. A 
value greater than the upper limit when reading a segment (a ‘slowdown’ onwards) was 
considered possible reading comprehension obstacle. Special attention was paid to the 
presence (yes/not) of ‘slowdowns’ in S1, R1, or Sol or R5.

The accumulated time per word or per symbol on each segment was also considered 
indicating the effort made in processing certain segments compared to others. The process-
ing effort expended by a student on a particular segment a was defined as the (numerical) 
value resulting from the accumulated time reading a divided by the time needed to read a 
once at a normal pace (using the mean value).

Third, the presence (yes/not) of reading sequences including a consecutive reading of 
the non-consecutive segments R1 and S1 was singled out. These linking sequences (‘links’ 
onwards) should facilitate the simultaneous processing of R1 and S1 and therefore the 
monitoring of the translation process. The same was done for the sequences linking Sol (or 
R5) with the S1 or S2 segments. These reading sequences should facilitate the interpreta-
tion of the numerical result in the light of the situation model.

Numerical data recorded by the software ‘Read and Answer’ were first analysed with 
Excel™ and then with SPSS 24™.

A participant’s responses to the questions in the individual interview were added to their 
data.
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Predictions

A reader could detect the inconsistency embedded in R1 using one of the two following 
strategies:

(a) Directly monitoring the algebraic translation (direct detection). If the textual segment 
S1 is correctly translated into algebra, a correct equation ‘R1’: 29 • T = S’ is built, 
clashing with R1. Alternatively, meaning can be given to R1. If R1 is translated into 
plain language, the new sentence S1’: ‘In a school there are twenty-nine times as many 
teachers (T) as students (S)’ is inconsistent with S1.

(b) First, making a correct interpretation of the numerical solution as illogical (Sol seg-
ment, or perhaps R5) and then returning to carefully monitor the algebraic translation 
(indirect detection).

According to the theoretical model presented above, when the embedded inconsist-
ency was correctly reported by a student, whether it resulted from a direct or an indirect 
detection (the variable ‘Correct reporting of the embedded inconsistency’ = Yes), he or she 
should show:

(1) Normal reading speed when reading S1 and R1. This ensures that both segments were 
processed.

(2) A reading sequence that included a ‘link’ between R1 and S1 (with the variable ‘Pres-
ence of a Translation Link’ = Yes), associated with the simultaneous processing of S1 
and R1.

(3) A slowdown in R1 or in S1, due to integration difficulties, when their meanings are 
compared to each other (variable ‘presence of a slowdown in S1 or in R1’ = Yes). This 
slowdown could occur in any of the inconsistent segments S1 or R1, as students could 
read in any order, not necessarily linear-sequential reading. However, it was especially 
expected to occur in R1 (the erroneous equation).

Moreover, a slowdown was expected to be observed in R1 or in S1 mainly when the 
simultaneous processing of the incompatible ideas took place.

(4) An increase in the processing effort in the inconsistent segments S1 and R1 compared 
to the effort in non-conflicting segments. After detecting the inconsistency, readers’ 
regulatory measures will probably involve more rereading of the inconsistent informa-
tion compared to the non-conflicting sentences. Rereading implies more reading time 
accumulated on certain information segments, and thus, more processing effort.

Additional expectations in the case that the embedded inconsistency was indirectly 
detected after monitoring the interpretation of the illogical solution were deduced from the 
theoretical model:

(5) A reading slowdown in the Sol segment (or in R5) and a reading sequence linking Sol 
(or R5) with S1 or S2 segments were expected to appear. Rereading could cause the 
processing effort in Sol (or/and R5) to increase compared to instances of direct detec-
tion.
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Unsuccessful monitoring may be observed when a student lacks monitoring skills, or 
when he or she performs a swallow processing. Two main student profiles could appear: 
non-detectors, i.e. students who mentioned neither the embedded error in R1 nor the 
absurd numerical solution, and students who interpreted the numerical solution as illogical 
but were not able to detect the embedded error because of poor monitoring of the transla-
tion process. The psychological model has no predictions for failed monitoring, but it was 
expected that some of the five requirements above would not be met.

Results

Student monitoring profiles according to their written reports

Considering all the participants in the study, 46 (49.5%) did not mention the embedded 
error and showed three main types of outcomes. (a) Most reported their agreement with 
the solving procedure. For instance, participant MR wrote: ‘The problem is clear, and the 
resolution is correct.’ (b) A small group reported spurious inconsistencies or errors, fre-
quently caused by personal mistakes, as is the case of student ANH: ‘The resolution of 
the problem is wrong. The correct resolution would be the following: we have 600 people 
in total, and we consider groups of 29 persons. If there were 29 students, we would have 
1 teacher. Then, I do a subtraction in which I remove 29 teachers leaving only students: 
600–29 = 571. Dividing 571/29 I get the number of teachers that the school has’. (c) Some 
unspecifically reported that something should be wrong as the solution was absurd. Par-
ticipant BU is an example: ‘The problem definition states that there are twenty-nine times 
as many students as teachers. 580 teachers are not logical when the total amount is 600. In 
addition, I see the problem definition clear and comprehensible’.

Subgroups (a) and (b) correctly monitored neither the algebraic translation nor the inter-
pretation of the numerical solution and were considered as one student profile showing 
a ‘Poor monitoring’. Subgroup (c) clearly interpreted the solution, although they did not 
properly monitor the algebraic translation. They were considered to be showing a ‘Blocked 
monitoring’.

The remaining 47 participants (50.5%) successfully reported the embedded error. Two 
subgroups were distinguished according to their written partial (if any) and final reports: 
(d) indirect detectors and (e) direct detectors, both defined in the ‘Predictions’ section. An 
example of an indirect detector is SO, who wrote: ‘there should be an error somewhere 
because the result is nonsense’ (visit #63), [and later] (visit #129): ‘(…) The error starts 
from the first equation, since it should be 29 T = S. This could confuse the student, who 
will surely have difficulty in finding this error. The essential analysis of coherence of the 
numerical result shows us the error and leads us to review in detail the resolution proce-
dure which seemed initially so consistent’. An example of a direct detector, JU, concisely 
reported: ‘The problem resolution is wrong because 29 S = T means 29 teachers per stu-
dent. The solution should be: 29 T = S; T + S = 600   30 T = 600 T = 600/30’.

Direct detectors showed a ‘Competent monitoring’. Indirect detectors have the appropri-
ate monitoring skill but showed a ‘Delayed monitoring’.
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Interviews

The participants’ answers in the interview generally confirmed the category inferred from 
their written reports. Only 2 participants declared detecting the embedded error but not 
reporting it explicitly. Both attributed the error to a switching-letters irrelevant mistake. 
These students were classified as Spurious-error monitors.

Table  2 shows the number and percentage of participants in each profile after being 
classified based on their written reports and the answers given in the individual interviews.

General processing data

On average, each information segment in the worked-out example was visited 6.5 times. 
Globally, 43.2% of the processing time was devoted to textual information, and 56.8% to 
algebra. The mean reading rate in the sample was 121.9 words/min (SD = 43.9) for text 
segments, and 139.4 symbols/min (SD = 43.8) for algebraic expressions.

Behavioural patterns for the student profiles

The behavioural variables computed for the different profiles of monitors in Table 2 are 
shown in Table 3.

To test the model-based predictions for a successful detection of the embedded incon-
sistency, a binary logistic regression was computed for the criterion variable ‘Embedded 
Inconsistency Successfully Reported’ (Yes/No), taking as the predictors the following 
behavioural variables: presence (yes/no) of slowdowns in S1 and R1 segments; presence 
(yes/no) of reading sequences linking R1 and S1; presence (yes/no) of a slowdown in S1 or 
in R1 inside a sequence linking R1 and S1; processing effort in S1 (numerical), and in R1 
(numerical).

Using the step-forward procedure, only two variables were retained as significant pre-
dictors with unique contributions: the presence (yes/no) of a slowdown in R1 in some 

Table 2  Distribution of student monitoring profiles according to their written report and the individual 
interviews

Embedded error correctly 
reported

Solution reported as illogical 
before reporting the error

Student monitoring profile N %

No (unsuccessful monitors) No Poor monitoring (non-detection) 33 35.5
Yes Blocked monitoring (interpreta-

tion-only)
13 14.0

Total 46 49.5
Yes (successful monitors) No Competent monitoring (direct 

detection)
17 18.3

Yes Delayed monitoring (indirect 
detection)

30 32.2

Total 47 50.5



308 V. Sanjosé et al.

1 3

Ta
bl

e 
3 

 M
ea

n 
va

lu
es

 o
f b

eh
av

io
ur

al
 v

ar
ia

bl
es

 fo
r t

he
 d

iff
er

en
t s

tu
de

nt
 m

on
ito

rin
g 

pr
ofi

le
s (

st
an

da
rd

 d
ev

ia
tio

ns
 in

 p
ar

en
th

es
es

)

Va
ria

bl
e

U
ns

uc
ce

ss
fu

l m
on

ito
rs

Su
cc

es
sf

ul
 m

on
ito

rs

N
on

-d
et

ec
tio

n 
(N

 =
 33

)
In

te
rp

re
ta

tio
n 

on
ly

 (N
 =

 13
)

In
di

re
ct

 d
et

ec
tio

n 
(N

 =
 17

)
D

ire
ct

 d
et

ec
tio

n 
(N

 =
 30

)

Th
er

e 
is

 a
 li

nk
 R

1-
S1

9 
ou

t o
f 3

3
7/

13
17

/1
7

29
/3

0
N

um
 li

nk
s R

1-
S1

0.
85

 (2
.1

4)
2.

23
 (3

.2
2)

3.
76

 (3
.0

7)
4.

27
 (3

.0
3)

Th
er

e 
is

 a
 li

nk
 S

ol
/R

5-
S1

/S
2

6 
ou

t o
f 3

3
12

/1
3

14
/1

7
10

/3
0

N
um

 li
nk

s S
ol

/R
5-

S1
/S

2
(in

te
rp

re
ta

tio
n 

lin
ks

)
0.

18
(0

.4
7)

2.
08

 (1
.7

5)
1.

76
 (1

.1
5)

0.
37

 (0
.5

6)

R
1:

 th
er

e 
is

 a
 sl

ow
do

w
n 

in
 tr

an
sl

at
io

n 
lin

k
2 

ou
t o

f 3
3

1/
13

17
/1

7
29

/3
0

S1
: t

he
re

 is
 a

 sl
ow

do
w

n 
in

 tr
an

sl
at

io
n 

lin
k

3 
ou

t o
f 3

3
1/

13
8/

17
21

/3
0

So
l/R

5:
 th

er
e 

is
 a

 sl
ow

do
w

n 
in

 in
te

rp
re

ta
tio

n 
lin

k
0 

ou
t o

f 3
3

12
/1

3
15

/1
7

2/
30

S1
: e

ffo
rt

5.
31

 (5
.4

9)
8.

46
 (7

.5
3)

10
.2

2 
(6

.6
2)

7.
53

 (4
.5

4)
R

1:
 e

ffo
rt

11
.1

3 
(1

2.
6)

13
.4

5 
(1

3.
67

)
22

.3
8 

(1
1.

46
)

13
.9

6 
(8

.9
5)

So
l: 

eff
or

t
3.

93
 (3

.0
9)

12
.6

2 
(9

.3
4)

8.
78

 (3
.9

7)
3.

73
 (2

.5
6)



309Online processing while monitoring worked‑out examples with…

1 3

R1-S1 link (which implies the presence of such a link), and the processing effort in S1. 
A total percentage of 97.8% of the cases were correctly classified (97.8% of non-reporters 
and 97.9% of reporters). Table 4 shows the main data.

A second binary logistic regression was computed for the criterion variable ‘Numerical 
Solution Reported as Illogical’ (Yes/No). This variable differentiates direct from indirect 
detectors, and also non-detectors from interpretation-only students. According to the pre-
dictions based on the model, the following behavioural variables were considered possible 
predictors: the presence of slowdowns in Sol (or R5), the presence of a reading sequence 
linking Sol (or R5) and S1 (or S2), the presence of a slowdown in Sol (or R5) inside a 
sequence linking Sol/R5 and S1/S2, or the processing effort in Sol, and in R5.

A total percentage of 94.6% of the cases was correctly classified (95.2% of non-interpreters 
and 93.3% of interpreters) with only two predictors. Table 5 shows the corresponding data.

As shown in Table 3, most indirect detectors (15 out of 17), but very few direct detec-
tors (2 out of 30) showed a slowdown in Sol (or in R5) inside a Sol/R5-S1/S2 reading 
link. The processing efforts in Sol and R5 segments were higher in indirect detectors 
 (MId

Sol = 8.8, SD = 4.0;  MId
R5 = 10.9, SD = 8.8) than in direct detectors  (MDd

Sol = 3.7, 
SD = 2.6;  MDd

R5 = 4.6; SD = 3.8).
Both student profiles also differed in their processing paths. Indirect detectors, but not 

direct detectors, showed a two-stage processing, before and after detecting the solution as 
illogical. Consequently, indirect detectors made more reading visits  (MId

vis = 83.5; SD = 35.2) 
than direct detectors  (MDd

vis = 47.9; SD = 22.8). Another consequence was a different process-
ing of R1. Direct detectors read R1 from the beginning with a slow reading pace (M = 1.1; 
SD = 1.0; being 0 as the mean value and 1.0 as the threshold for slowdowns). Before detect-
ing the absurd numerical solution, the indirect detectors processed R1 faster than algebra seg-
ments on average  (MAlg = 1.1; SD = 1.9;  MR1 = 0.8; SD = 1.1). However, in the second stage, 

Table 4  Main data of the binary logistic regression for the variable ‘embedded inconsistency successfully 
reported’

Predictors B SE Wald df Sig Exp(B)

Constant  − 2.750 1.067 6.642 1 0.010 0.064
R1: slowdown in R1-S1 link 9.353 2.140 19.109 1  < 0.001 11,537.779
S1: processing effort  − 0.254 0.100 6.427 1 0.011 0.776
Omnibus test: X2(2) = 107.01; p < 0.001
-2log likelihood = 21.91
Explained R2:68.4% (Cox-Snell) − 91.1% (Nagelkerke)

Table 5  Main data of the binary logistic regression for ‘numerical solution reported as illogical’

Predictors B SE Wald df Sig Exp(B)

Constant  − 6.178 1.708 13.09 1  < 0.001 0.002
Sol/R5: slowdown in a Sol/

R5-S1/S2 link
6.227 1.384 20.253 1  < 0.001 506.383

Sol: processing effort 0.383 0.136 7.925 1 0.005 1.467
Omnibus test: X2(2) = 93.54; p < 0.001
-2log likelihood = 23.42
Explained R2: 63.4% (Cox-Snell) − 88.6% (Nagelkerke)
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they were ‘seeking for an error’, and then, while the algebra segments were read faster than 
before  (MAlg = 0.8; SD = 1.0), R1 was read slower  (MR1 = 1.9; SD = 1.6).

Discussion

First, empirical data collected with the software ‘Read and Answer’, defined from a psy-
chological mechanism for inconsistency detection, were able to characterize four different 
student profiles for the specific monitoring task conducted. Among the successful moni-
tors, some detectors first interpreted the numerical solution as non-sense and then initiated 
a second reading phase of careful monitoring focused on the algebraic translation process 
in a kind of ‘error seeking task’. They showed a ‘delayed monitoring’ behaviour and fol-
lowed an indirect path to detection. In opposition, other detectors showed a ‘Competent 
monitoring’, performing a direct monitoring of the algebraic translation, and reported the 
embedded error quickly without the need of interpreting the absurd solution.

Among the unsuccessful monitors, there was a group of non-detectors who were able 
to correctly monitor neither the algebraic translation nor the interpretation of the solution. 
Their profile corresponded to a ‘Poor monitoring’ competence. Another group of unsuc-
cessful students were able to interpret the solution as absurd, but in their subsequent error-
seeking reprocessing, they could not detect the embedded error but showed a ‘Blocked 
monitoring’ with many fruitless reading visits until they gave up.

These four profiles were explained by behavioural variables related to mental processing 
with a high reliability, as a high percentage (92.5%) of individual cases were correctly clas-
sified by two related binary logistic regression analyses. In agreement with the psychologi-
cal model on which the study is based, significant predictors with the unique contribution 
in these regressions were ‘the presence of a slowdown in R1 in some R1-S1 reading link’, 
‘the value of the processing effort in S1’, ‘the presence of a slowdown in Sol in some Sol/
R5-S1/S2 link’, and ‘the value of the processing effort in Sol’. The first predictor was also 
reliably related to monitoring success in Sanjosé et al. (2022). Relevant for teaching, the 
most probable processing cause of monitoring failure was the absence of deliberate links 
between relevant information segments to build a coherent mental representation of the 
worked-out example.

Some of the main outcomes reported in the literature about eye gazing in metacognitive 
monitoring have also been observed in the present study using the alternative measures 
collected by the ‘Read and Answer’ software. In agreement with other studies on the 
importance of the allocation and sequence of eye-fixations, the time span in eye-fixations, 
and backward jumps to revisit previously fixed information to succeed in a task (Strohmaier 
et al., 2019; Zargar et al., 2020), the present study showed that compared to unsuccessful 
monitors, successful monitors put more relative processing effort in crucial information, 
such as S1 and R1 (allocation and time in eye-fixation), repeatedly linking (by means of 
backward jumps) the inconsistent segments R1 and S1, and experienced slowdowns in R1 
(long fixations in crucial information) when R1-S1 were linked (inconsistency effect).

However, the method used in the present study to determine the existence of an incon-
sistency effect, i.e. an anomalous increase in the reading time, was different from other 
studies. Students read the example at their own pace, segment (i.e. sentence) by segment, 
and frequent jumping backs were observed in their processing sequences. Therefore, the 
procedure used to compare the reading time on the target word/sentence and on the target-1 
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or perhaps, target + 1, (Kim et  al., 2018) was difficult to apply. Instead, a different strict 
criterion was used for a ‘slowdown’ as an indicator of reading obstacles: a time per word 
higher than the mean value plus one SD, according to each individual reader’s data.

Using this method, the registered slowdowns on the critical segment (R1) had reading 
values of about 400–450 ms per symbol, comparable with the threshold of 500 ms per fixa-
tion on crucial arithmetic information used by Wu et al. (2021) to distinguish skilled from 
unskilled children in problem-solving tasks.

Finally, the percentage of competent monitoring of the worked-out example by gradu-
ated engineers was low, suggesting that developing cognitive abilities does not imply devel-
oping metacognitive abilities. However, metacognitive abilities have a significant influence 
on the learning of mathematics (Desoete & DeCraene, 2019). This warns about the need 
of deliberately developing metacognitive skills in mathematics education by proposing, for 
instance, specific tasks with incorrect worked-out examples.

In mathematics, overconfidence in performance seems to be the main cause of poor 
monitoring (Baars et al., 2017). In the present study, overconfidence in monitoring ability 
could be a cause explaining the failed monitoring in some non-detectors, but not in others. 
Students in the blocked monitoring profile were not able to detect the error in R1 although 
they were actively seeking for it. These students were misled by the embedded reversal 
error despite the math education they received.

In the present study, there was no evidence that the participants paid little attention to 
the task, as the total time devoted to read the example was high (about 6 times the time 
needed to read it once). In addition, students’ mean reading speed for text segments (122 
word/min) was clearly lower than the reading speed in educated adults for normal texts, 
200–400 word/min (Rayner et al., 2016), and the value for algebra (129 symbol/min) was 
also slower than the one (250 symbols/min) obtained by Andrà et  al. (2015) in a study 
of students’ fixation times reading algebraic expressions, and by Jansen et al. (2007) with 
experts. Regardless, more studies are needed to reliably determine the normal reading 
speeds in similar monitoring tasks.

Conclusions

Data on students’ processing behaviour in a monitoring math task was collected online and 
analysed using the software ‘Read and Answer’ with low complexity and cost. Behavioural 
variables were defined from a psychological model to account for the monitors’ mental 
processing. These behavioural variables were able to significantly predict the monitoring 
outcomes and allow identifying some differences in the mental processes of students with 
the same observable, successful or unsuccessful, task products. As a result, a taxonomy of 
four student profiles while studying worked-out examples of algebraic nature was proposed 
and described using both the task products and the processing behaviour data.

Pending further replication or extension studies, this taxonomy could lead teachers to 
better focus their help on their students. In normal circumstances, teachers can only access 
this general data, at best, and then it is difficult for them to elaborate an accurate hypothesis 
to explain why a student fails. The present study emphasizes the need for teachers to access 
more accurate student processing data if effective instructional models capable of address-
ing individual differences are to be advanced.
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Limitations

Some limitations must be pointed out, and future research will be devoted to overcoming 
them. First, the participants’ problem-solving competence could be tested in subsequent 
studies so that new data could be interpreted with more confidence. Second, future studies 
could examine a wider range of possibilities involving different academic levels, a greater 
variety of worked-out examples, and diverse associated tasks.

Funding Open Access funding provided thanks to the CRUE-CSIC agreement with Springer Nature. This work 
has been developed at the University of Valencia (Spain). There are no other funding sources.

Data availability None.

Declarations 

Competing interests The authors declare no competing interests.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International License, 
which permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, provide a link to the Creative Com-
mons licence, and indicate if changes were made. The images or other third party material in this article 
are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly 
from the copyright holder. To view a copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

References

Amalric, M., & Dehaene, S. (2019). A distinct cortical network for mathematical knowledge in the human 
brain. NeuroImage, 189, 19–31. https:// doi. org/ 10. 1016/j. neuro image. 2019. 01. 001

Andrà, C., Lindström, P., Arzarello, F., Holmqvist, K., Robutti, O., & Sabena, C. (2015). Reading math-
ematics representations: An eyetracking study. International Journal of Science and Mathematics Edu-
cation, 13(Suppl 2), 237–259. https:// doi. org/ 10. 1007/ s10763- 013- 9484-y

Baars, M., Van Gog, T., de Bruin, A., & Paas, F. (2017). Effects of problem solving after worked example 
study on secondary school children’s monitoring accuracy. Educational Psychology, 37(7), 810–834. 
https:// doi. org/ 10. 1080/ 01443 410. 2016. 11504 19

Baker, L., & Beall, L. C. (2014). Metacognitive processes and reading comprehension. In S. E. Israel, & G. 
G. Duffy (Eds.), Handbook of research on reading comprehension (pp. 397–412). Routledge.

Başokçu, T. O., & Güzel, M. A. (2022). Beyond counting the correct responses: Metacognitive monitoring 
and score estimations in mathematics. Psychology in the Schools, 59(6), 1105–1121. https:// doi. org/ 10. 
1002/ pits. 22665

Bosse, M. J., Young, E. S., Bayaga, A., Lynch-Davis, K., DeMarte, A., & Fountain, C. (2020). Cognitive 
processes in problem solving in a dynamic mathematics environment. International Journal for Math-
ematics Teaching and Learning, 21(2), 174–196.

Callan, G. L., & Cleary, T. J. (2019). Examining cyclical phase relations and predictive influences of self-
regulated learning processes on mathematics task performance. Metacognition and Learning, 14(1), 
43–63. https:// doi. org/ 10. 1007/ s11409- 019- 09191-x

Chen, X., Mitrovic, A., & Mathews, M. (2019). Learning from worked examples, erroneous examples, and 
problem solving: Toward adaptive selection of learning activities. IEEE Transactions on Learning 
Technologies, 13(1), 135–149. https:// doi. org/ 10. 1109/ TLT. 2019. 28960 80

Clement, J., Lochhead, J., & Monk, G. (1981). Translation difficulties in learning mathematics. The Ameri-
can Mathematical Monthly, 88(4), 286–290.

http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1016/j.neuroimage.2019.01.001
https://doi.org/10.1007/s10763-013-9484-y
https://doi.org/10.1080/01443410.2016.1150419
https://doi.org/10.1002/pits.22665
https://doi.org/10.1002/pits.22665
https://doi.org/10.1007/s11409-019-09191-x
https://doi.org/10.1109/TLT.2019.2896080


313Online processing while monitoring worked‑out examples with…

1 3

Cohors-Fresenborg, E., Kramer, S., Pundsack, F., Sjuts, J., & Sommer, N. (2010). The role of metacognitive 
monitoring in explaining differences in mathematics achievement. ZDM, 42(2), 231–244. https:// doi. 
org/ 10. 1007/ s11858- 010- 0237-x

Connor, C. M., Radach, R., Vorstius, C., Day, S. L., McLean, L., & Morrison, F. J. (2015). Individual dif-
ferences in fifth graders’ literacy and academic language predict comprehension monitoring develop-
ment: An eye-movement study. Scientific Studies of Reading, 19, 114–134. https:// doi. org/ 10. 1080/ 
10888 438. 2014. 943905

Cromley, J. G., & Kunze, A. J. (2020). Metacognition in education: Translational research. Translational 
Issues in Psychological Science, 6(1), 15–20. https:// doi. org/ 10. 1037/ tps00 00218

Currie, N. K., Francey, G., Davies, R., Gray, S., Bridges, M. S., Restrepo, M. A., Thompson, M. S., Ciraolo, 
M. F., Hu, J., & Cain, K. (2021). The process and product of coherence monitoring in young readers: 
Effects of reader and text characteristics. Scientific Studies of Reading, 25(2), 141–158. https:// doi. org/ 
10. 1080/ 10888 438. 2020. 18315 03

Del Olmo-Muñoz, J., González-Calero, J. A., Diago, P. D., Arnau, D., & Arevalillo-Herráez, M. (2022). 
Using intra-task flexibility on an intelligent tutoring system to promote arithmetic problem-solving 
proficiency. British Journal of Educational Technology, 53, 1976–1992. https:// doi. org/ 10. 1111/ bjet. 
13228

Desoete, A., & De Craene, B. (2019). Metacognition and mathematics education: An overview. ZDM Math-
ematics Education, 51(4), 565–575. https:// doi. org/ 10. 1007/ s11858- 019- 01060-w

Ge, X. (2013). Designing learning technologies to support self-regulation during ill-structured problem-
solving processes. In Azevedo, R., & V. Aleven (Eds.), International Handbook of Metacognition and 
Learning Technologies (pp. 213–228). Springer. https:// doi. org/ 10. 1007/ 978-1- 4419- 5546-3_ 15

Guo, L. (2022). The effects of self-monitoring on strategy use and academic performance: A meta-analy-
sis. International Journal of Educational Research, 112, 101939. https:// doi. org/ 10. 1016/j. ijer. 2022. 
101939

Guzman, G., Goldberg, T. S., & Swanson, H. L. (2018). A meta-analysis of self-monitoring on reading 
performance of K–12 students. School Psychology Quarterly, 33(1), 160–168. https:// doi. org/ 10. 1037/ 
spq00 00199

Van Haneghan, J. P. & Baker, L. (1989). Cognitive monitoring in mathematics. In McCormick, C. B., 
Miller, G. E., & M. Pressley (Eds.), Cognitive Strategy Research. Springer. https:// doi. org/ 10. 1007/ 
978-1- 4613- 8838-8_9

Huang, X., Bernacki, M. L., Kim, D., & Hong, W. (2022). Examining the role of self-efficacy and online 
metacognitive monitoring behaviors in undergraduate life science education. Learning and Instruc-
tion, 80, 101577. https:// doi. org/ 10. 1016/j. learn instr uc. 2021. 101577

Huebner, M. G., & LeFevre, J. A. (2018). Selection of procedures in mental subtraction: Use of eye 
movements as a window on arithmetic processing. Canadian Journal of Experimental Psychology/
revue Canadienne De Psychologie Expérimentale, 72(3), 171–182. https:// doi. org/ 10. 1037/ cep00 
00127

Jansen, A. R., Marriott, K., & Yelland, G. W. (2007). Parsing of algebraic expressions by experienced 
users of mathematics. European Journal of Cognitive Psychology, 19(2), 286–320. https:// doi. org/ 
10. 1080/ 09541 44060 07099 55

Kim, Y. S. G., Vorstius, C., & Radach, R. (2018). Does online comprehension monitoring make a unique 
contribution to reading comprehension in beginning readers? Evidence from eye movements. Sci-
entific Studies of Reading, 22(5), 367–383. https:// doi. org/ 10. 1080/ 10888 438. 2018. 14576 80

Kintsch, W., & Greeno, J. G. (1985). Understanding and solving word arithmetic problems. Psychologi-
cal Review, 92(1), 109.

Kintsch, W. (2018). Revisiting the construction—integration model of text comprehension and its impli-
cations for instruction. In Alvermann, D. A., Unrau, N. J., Sailors, M. & R. B. Rubdell (Eds.), 
Theoretical models and processes of literacy  (7th ed., pp. 178–203). Routledge. https:// doi. org/ 10. 
4324/ 97813 15110 592

Kolić-Vehovec, S., & Bajšanski, I. (2006). Metacognitive strategies and reading comprehension in ele-
mentary-school students. European Journal of Psychology of Education, 21, 439. https:// doi. org/ 
10. 1007/ BF031 73513

Mulder, E., van de Ven, M., Segers, E., Krepel, A., de Bree, E. H., de Jong, P. F., & Verhoeven, L. 
(2021). Word-to-text integration in English as a second language reading comprehension. Read-
ing and Writing: An Interdisciplinary Journal, 34(4), 1049–1087. https:// doi. org/ 10. 1007/ 
s11145- 020- 10097-3

Muncer, G., Higham, P. A., Gosling, C. J., Cortese, S., Wood-Downie, H., & Hadwin, J. A. (2022). A meta-
analysis investigating the association between metacognition and math performance in adolescence. 
Educational Psychology Review, 34, 301–334. https:// doi. org/ 10. 1007/ s10648- 021- 09620-x

https://doi.org/10.1007/s11858-010-0237-x
https://doi.org/10.1007/s11858-010-0237-x
https://doi.org/10.1080/10888438.2014.943905
https://doi.org/10.1080/10888438.2014.943905
https://doi.org/10.1037/tps0000218
https://doi.org/10.1080/10888438.2020.1831503
https://doi.org/10.1080/10888438.2020.1831503
https://doi.org/10.1111/bjet.13228
https://doi.org/10.1111/bjet.13228
https://doi.org/10.1007/s11858-019-01060-w
https://doi.org/10.1007/978-1-4419-5546-3_15
https://doi.org/10.1016/j.ijer.2022.101939
https://doi.org/10.1016/j.ijer.2022.101939
https://doi.org/10.1037/spq0000199
https://doi.org/10.1037/spq0000199
https://doi.org/10.1007/978-1-4613-8838-8_9
https://doi.org/10.1007/978-1-4613-8838-8_9
https://doi.org/10.1016/j.learninstruc.2021.101577
https://doi.org/10.1037/cep0000127
https://doi.org/10.1037/cep0000127
https://doi.org/10.1080/09541440600709955
https://doi.org/10.1080/09541440600709955
https://doi.org/10.1080/10888438.2018.1457680
https://doi.org/10.4324/9781315110592
https://doi.org/10.4324/9781315110592
https://doi.org/10.1007/BF03173513
https://doi.org/10.1007/BF03173513
https://doi.org/10.1007/s11145-020-10097-3
https://doi.org/10.1007/s11145-020-10097-3
https://doi.org/10.1007/s10648-021-09620-x


314 V. Sanjosé et al.

1 3

Ohtani, K., & Hisasaka, T. (2018). Beyond intelligence: A metanalytic review of the relationship among 
metacognition, intelligence, and academic performance. Metacognition Learning, 13, 179–212. https:// 
doi. org/ 10. 1007/ s11409- 018- 9183-8

Otero, J. (2002). Noticing and fixing difficulties in understanding science texts. In J. Otero, J. A. León, 
& A. Graesser (Eds.), The psychology of science text comprehension (pp. 281–307). Lawrence Erl-
baum Associates.

Otero, J. (2009). Question generation and anomaly detection in texts. In D. J. Hacker, J. Dunlosky, & A. 
C. Graesser (Eds.), Handbook of metacognition in education (pp. 59–71). Routledge.

Otero, J., & Kintsch, W. (1992). Failures to detect contradiction in a text: What readers believe versus what 
they read. Psychological Science, 3(4), 229–235. https:// doi. org/ 10. 1111/j. 1467- 9280. 1992. tb000 34.x

Otero, J., Campanario, J. M., & Hopkins, K. D. (1992). The relationship between academic achieve-
ment and metacognitive comprehension monitoring ability of Spanish secondary school students. 
Educational and Psychological Measurement, 52(2), 419–430. https:// doi. org/ 10. 1177/ 00131 64492 
05200 2017

Polya, G. (1945). How to solve it: A new aspect of mathematical method. Princeton University Press.
Rayner, K., Schotter, E. R., Masson, M. E., Potter, M. C., & Treiman, R. (2016). So much to read, so lit-

tle time: How do we read, and can speed reading help? Psychological Science in the Public Interest, 
17(1), 4–34. https:// doi. org/ 10. 1177/ 15291 00615 623267

Sanjosé, V., Gómez-Ferragud, C. B., Verdugo-Perona, J. J., & Solaz-Portolés, J. J. (2022). Testing a 
model for the monitoring of worked-out algebra-problem examples: From behaviours to outcomes 
on a math task. Psicología Educativa, 28(2), 141–149.

Soneira, C., González-Calero, J. A., & Arnau, D. (2018). An assessment of the sources of the reversal 
error through classic and new variables. Educational Studies in Mathematics, 99(1), 43–56. https:// 
doi. org/ 10. 1007/ s10649- 018- 9828-1

Soto, C., Gutierrez de Blume, A. P., Rebolledo, V., Rodríguez, F., Palma, D., & Gutiérrez, F. (2022). 
Metacognitive monitoring skills of reading comprehension and writing between proficient and poor 
readers. Metacognition and Learning, 1–22. Downloaded Nov 08, 2022 from: https:// link. sprin ger. 
com/ conte nt/ pdf/ 10. 1007/ s11409- 022- 09317-8. pdf

Strohmaier, A. R., Lehner, M. C., Beitlich, J. T., & Reiss, K. M. (2019). Eye movements during math-
ematical word problem solving—Global measures and individual differences. Journal Für Mathe-
matik-Didaktik, 40(2), 255–287. https:// doi. org/ 10. 1007/ s13138- 019- 00144-0

Strohmaier, A. R., MacKay, K. J., Obersteiner, A., & Reiss, K. M. (2020). Eye-tracking methodology in 
mathematics education research: A systematic literature review. Educational Studies in Mathematics, 
104(2), 147–200. https:// doi. org/ 10. 1007/ s10649- 020- 09948-1

Van den Broek, P., & Helder, A. (2017). Cognitive processes in discourse comprehension: Passive pro-
cesses, reader-initiated processes, and evolving mental representations. Discourse Processes, 54, 1–13. 
https:// doi. org/ 10. 1080/ 01638 53X. 2017. 13066 77

Van Gog, T., Kester, L., & Paas, F. (2011). Effects of worked examples, example-problem, and problem-
example pairs on novices’ learning. Contemporary Educational Psychology, 36(3), 212–218. https:// 
doi. org/ 10. 1016/j. cedps ych. 2010. 10. 004

Van Moort, M. L., Koornneef, A., & Van den Broek, P. W. (2018). Validation: Knowledge-and text-based 
monitoring during reading. Discourse Processes, 55(5–6), 480–496. https:// doi. org/ 10. 1080/ 01638 
53X. 2018. 14263 19

Veenman, M. V., & van Cleef, D. (2019). Measuring metacognitive skills for mathematics: Students’ 
self-reports versus on-line assessment methods. ZDM, 51(4), 691–701. https:// doi. org/ 10. 1007/ 
s11858- 018- 1006-5

Veenman, M. V. J., Van Hout-Wolters, B. H. A. M., & Afflerbach, P. (2006). Metacognition and learning: 
Conceptual and methodological considerations. Metacognition Learning, 1, 3–14. https:// doi. org/ 10. 
1007/ s11409- 006- 6893-0

Vettori, G., Vezzani, C., Bigozzi, L., & Pinto, G. (2022). Multidimensional profiles of learning orientations 
and school achievement: A person-oriented approach in middle-school students. European Journal of 
Psychology of Education, 37, 439–458. https:// doi. org/ 10. 1007/ s10212- 021- 00536-2

Vidal-Abarca, E., Martinez, T., Salmerón, L., Cerdán, R., Gilabert, R., Gil, L., Mañá, A., & Ferris, R. 
(2011). Recording online processes in task-oriented reading with read and answer. Behavior Research 
Methods, 43, 179–192. https:// doi. org/ 10. 3758/ s13428- 010- 0032-1

Vosniadou, S., Pearson, P. D., & Rogers, T. (1988). What causes children’s failures to detect inconsistencies 
in text? Representation versus comparison difficulties. Journal of Educational Psychology, 80(1), 27. 
https:// doi. org/ 10. 1037/ 0022- 0663. 80.1. 27

Winograd, P., & Johnston, P. (1982). Comprehension monitoring and the error detection paradigm. Journal 
of Reading Behavior, 14(1), 61–76. https:// doi. org/ 10. 1080/ 10862 96820 95474 35

https://doi.org/10.1007/s11409-018-9183-8
https://doi.org/10.1007/s11409-018-9183-8
https://doi.org/10.1111/j.1467-9280.1992.tb00034.x
https://doi.org/10.1177/0013164492052002017
https://doi.org/10.1177/0013164492052002017
https://doi.org/10.1177/1529100615623267
https://doi.org/10.1007/s10649-018-9828-1
https://doi.org/10.1007/s10649-018-9828-1
https://springerlink.bibliotecabuap.elogim.com/content/pdf/10.1007/s11409-022-09317-8.pdf
https://springerlink.bibliotecabuap.elogim.com/content/pdf/10.1007/s11409-022-09317-8.pdf
https://doi.org/10.1007/s13138-019-00144-0
https://doi.org/10.1007/s10649-020-09948-1
https://doi.org/10.1080/0163853X.2017.1306677
https://doi.org/10.1016/j.cedpsych.2010.10.004
https://doi.org/10.1016/j.cedpsych.2010.10.004
https://doi.org/10.1080/0163853X.2018.1426319
https://doi.org/10.1080/0163853X.2018.1426319
https://doi.org/10.1007/s11858-018-1006-5
https://doi.org/10.1007/s11858-018-1006-5
https://doi.org/10.1007/s11409-006-6893-0
https://doi.org/10.1007/s11409-006-6893-0
https://doi.org/10.1007/s10212-021-00536-2
https://doi.org/10.3758/s13428-010-0032-1
https://doi.org/10.1037/0022-0663.80.1.27
https://doi.org/10.1080/10862968209547435


315Online processing while monitoring worked‑out examples with…

1 3

Wu, C. J., Liu, C. Y., Yang, C. H., & Jian, Y. C. (2021). Eye-movements reveal children’s deliberative think-
ing and predict performance on arithmetic word problems. European Journal of Psychology of Educa-
tion, 36(1), 91–108. https:// doi. org/ 10. 1007/ s10212- 020- 00461-w

Zargar, E., Adams, A. M., & McDonald-Connor, C. (2020). The relations between children’s comprehen-
sion monitoring and their reading comprehension and vocabulary knowledge: An eye-movement study. 
Reading and Writing, 33(3), 511–545. https:// doi. org/ 10. 1007/ s11145- 019- 09966-3

Zhao, H., & Acosta-Tello, E. (2016). The impact of erroneous examples on students’ learning of equa-
tion solving. Journal of Mathematics Education, 9(1), 57–68. Downloaded in January 25, 2023 from 
https:// www. educa tionf oratoz. com/ images/ Hong_ Zhao_ 2016. pdf

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Vicente Sanjose. Science Education, CDC-Research Group, Universitat de València, Valencia, Spain. 

Current themes of research: 

Metacognitive abilities in science learning: question asking, conscious ignorance, monitoring 
processes. Problem-solving: mental representations, creativity, factors influencing generalization, and 
transfer. 

Most relevant publications in the field of Psychology of Education:

Sanjosé, V., Gómez-Ferragud, C. B., Verdugo-Perona, J. J., & Solaz-Portolés, J. J. (2022). Testing a 
model for the monitoring of worked-out algebra-problem examples: From behaviours to outcomes 
on a math task. Educational Psychology, 28(2), 141–149.

Sanjosé, V., Otero, J. (2021). Elementary pre-service teachers’ conscious lack of knowledge about 
technical artefacts. International Journal of Technology and Design Education. 10.1007/s10798-
021–09,696-0. First published online 05 October 2021.

Álvarez, V.; Torres, T.; Zulma Gangoso & Sanjosé, V. (2020). A cognitive model to analyse physics 
and chemistry problem-solving skills: Mental representations implied in solving actions. Journal 
of Baltic Science Education, 19(5), 730–746.

Ortega-Torres, E., Solaz-Portoles, J. J., & Sanjosé, V. (2020). Inter-relations among motivation, self-
perceived use of strategies and academic achievement in science: A study with Spanish secondary 
school students. Sustainability, 12(17), 6752 (12 pages).

Jorge-Botana, G., Olmos, R., & Sanjosé, V. (2017). Predicting word maturity from frequency and 
semantic diversity: A computational study. Discourse Processes, 54(8), 682–694.

Verdugo, J.J.; Solaz-Portolés, J.J.; Sanjosé, V. (2016). Pre-service primary teachers’ scientific 
knowledge and attitudes towards science learning and their influence on the understanding of 
the nature of science. Croatian Journal of Education-Hrvatski Casopis Za Odgoj i Obrazovanje, 
18(3), 779–815.

Morgado, J; Otero, J.; Vaz-Rebelo, P.; Sanjosé, V.; Caldeira, H. (2014). Detection of explanation 
obstacles in scientific texts: The effect of an understanding task vs. an experiment task. 
Educational Studies. 40(2), 164—173. 10.1080/03055698.2013.866888.

Gómez-Ferragud, C.; Solaz-Portolés; J.J.; Sanjosé, V. (2014). Dificultades para codificar, relacionar 
y categorizar problemas verbales algebraicos: dos estudios con estudiantes de secundaria y 
profesores en formación. Bolema—Mathematics Education Bulletin. 28(50), 1239—1261. 
10.1590/1980-4415v28n50a12.

Sanjosé, V.; Torres, T.; Soto, C. (2013). Effects of scientific information format on the comprehension 
self-monitofing processes: Question generation. Revista de Psicodidactica, 18(2), 293—311. 
10.1387/RevPsicodidact.4623.

Ishiwa, K.; Sanjosé, V.; Otero, J. (2013). Questionning and reading goals: information seeking 
questions asked on scientific texts read under different task conditions. British Journal of 
Educational Psychology. 83(3), 502—520. 10.1111/j.2044–8279.2012.02079.

https://doi.org/10.1007/s10212-020-00461-w
https://doi.org/10.1007/s11145-019-09966-3
https://www.educationforatoz.com/images/Hong_Zhao_2016.pdf


316 V. Sanjosé et al.

1 3

Gómez-Ferragud, C.B.; Solaz-Portolés, J.J. y Sanjosé, V. (2013). Analogy construction and success 
in mathematics and science problem-solving: A study with secondary students. Revista de 
Psicodidáctica, 18(1), 81–108.

Gómez-Ferragud, C.B., Solaz-Portolés,. J. J., & Sanjosé, V. (2013). Efectos de la similitud superficial 
y estructural sobre la transferencia a partir de análogos en problemas de alta y baja familiaridad: 
primeros resultados. Enseñanza de las Ciencias, 31(1), 135–151.

Sanjosé, V.; Fernandez, J.J.; Vidal-Abarca, E. (2010). Importancia de las destrezas de procesamiento de 
la información en la comprensión de textos científicos. Infancia y Aprendizaje, 33(4) 529—541. 
http:// hdl. handle. net/ 10550/ 42697

Solaz-Portoles, J.J.; Sanjosé V. (2009). Working memory in science problem solving: A review of 
research. Revista Mexicana de Psicología, 26(1), 79—90. http:// hdl. handle. net/ 10550/ 42055

Sanjosé,V.; Vidal-Abarca, E.; Padilla, O.M. (2006). A connectionist extension of Kintsch’s 
construction-integration model. Discourse Processes. 42(1), 1—35. http:// hdl. handle. net/ 10550/ 
43432

 

Carlos B. Gómez-Ferragud. Science Education, CDC-Research Group, Universitat de València, 
         Valencia, Spain. E-mail: carlos.b.gomez@uv.es. 

Current themes of research: 

Metacognitive abilities in science learning: monitoring processes. Problem-solving: mental 
representations, creativity, factors influencing generalization, and transfer. 

Most relevant publications in the field of Psychology of Education: 

Sanjosé, V., Gómez-Ferragud, C. B., Verdugo-Perona, J. J., & Solaz-Portolés, J. J. (2022). Testing a 
model for the monitoring of worked-out algebra-problem examples: From behaviours to outcomes 
on a math task. Educational Psychology, 28(2), 141–149.

Gómez-Ferragud, C.B., Solaz-Portolés,. J.J., y Sanjosé, V. (2015). Effects of topic familiarity on 
analogical transfer in problem-solving: A think-aloud study of two singular cases. Eurasia 
Journal of Mathematics, Science and Technology Education, 11(4), 875–887.

Gómez-Ferragud, C.B.; Solaz-Portolés; J.J.; Sanjosé, V. (2014). Dificultades para codificar, relacionar 
y categorizar problemas verbales algebraicos: dos estudios con estudiantes de secundaria y 
profesores en formación. Bolema—Mathematics Education Bulletin. 28(50), 1239—1261. 
10.1590/1980-4415v28n50a12.

Gómez-Ferragud, C.B.; Solaz-Portolés, J.J. y Sanjosé, V. (2013). analogy construction and success 
in mathematics and science problem-solving: A study with secondary students. Revista de 
Psicodidáctica, 18(1), 81–108.

Gómez-Ferragud, C.B., Solaz-Portolés,. J. J., & Sanjosé, V. (2013). Efectos de la similitud superficial 
y estructural sobre la transferencia a partir de análogos en problemas de alta y baja familiaridad: 
primeros resultados. Enseñanza de las Ciencias, 31(1), 135–151.

 

Joan Josep Solaz-Portolés. Science Education, CDC-Research Group, Universitat de València,  
         Valencia, Spain. 

Current themes of research: 

Cognitive and metacognitive variables in science learning. Problem-solving: mental representations, 
creativity, factors influencing generalization, and transfer. Pedagogical content knowledge, scientific 
creativity, and scientific inquiry. 

Most relevant publications in the field of Psychology of Education: 

Sanjosé, V., Gómez-Ferragud, C. B., Verdugo-Perona, J. J., & Solaz-Portolés, J. J. (2022). Testing a 
model for the monitoring of worked-out algebra-problem examples: From behaviours to outcomes 
on a math task. Educational Psychology, 28(2), 141–149.

http://hdl.handle.net/10550/42697
http://hdl.handle.net/10550/42055
http://hdl.handle.net/10550/43432
http://hdl.handle.net/10550/43432


317Online processing while monitoring worked‑out examples with…

1 3

Ortega-Torres, E., Solaz-Portoles, J. J., & Sanjosé, V. (2020). Inter-relations among motivation, self-
perceived use of strategies and academic achievement in science: A study with Spanish secondary 
school students. Sustainability, 12(17), 6752 (12 pages).

Verdugo, J.J.; Solaz-Portolés, J.J.; Sanjosé, V. (2016). Pre-service primary teachers’ scientific 
knowledge and attitudes towards science learning and their influence on the understanding of 
the nature of science. Croatian Journal of Education-Hrvatski Casopis Za Odgoj i Obrazovanje, 
18(3), 779–815.

Gómez-Ferragud, C.B., Solaz-Portolés,. J.J., y Sanjosé, V. (2015). Effects of topic familiarity on 
analogical transfer in problem-solving: A think-aloud study of two singular cases. Eurasia 
Journal of Mathematics, Science and Technology Education, 11(4), 875–887.

Gómez-Ferragud, C.; Solaz-Portolés; J.J.; Sanjosé, V. (2014). Dificultades para codificar, relacionar 
y categorizar problemas verbales algebraicos: dos estudios con estudiantes de secundaria y 
profesores en formación. Bolema—Mathematics Education Bulletin. 28(50), 1239—1261. 
10.1590/1980-4415v28n50a12.

Gómez-Ferragud, C.B.; Solaz-Portolés, J.J. y Sanjosé, V. (2013). Analogy construction and success 
in mathematics and science problem-solving: A study with secondary students. Revista de 
Psicodidáctica, 18(1), 81–108.

Gómez-Ferragud, C.B., Solaz-Portolés,. J. J., & Sanjosé, V. (2013). Efectos de la similitud superficial 
y estructural sobre la transferencia a partir de análogos en problemas de alta y baja familiaridad: 
primeros resultados. Enseñanza de las Ciencias, 31(1), 135–151.

Solaz-Portoles, J.J.; Sanjosé V. (2009). Working memory in science problem solving: A review of 
research. Revista Mexicana de Psicología, 26(1), 79–90. Downloaded in January 25, 2023 from 
https:// www. redal yc. org/ pdf/ 2430/ 24301 63170 08. pdf

Vicente Sanjosé  is a Professor at the University of Valencia (Universitat de València) in Spain. He is spe-
cialized in science education and pre-service teachers training in science, particularly in comprehension, 
metacognition, and problem-solving, as well as using modern devices to look at mental processes while 
developing academic tasks.

Carlos B. Gómez‑Ferragud  is an Associate Professor at the University of Valencia (Universitat de València) 
in Spain. He is specialized in science and technology education and pre-service teachers’ training and he 
has developed research on problem-solving, cognitive and metacognitive variables involved in science and 
mathematics education, creativity, and transfer of knowledge.

Joan Josep Solaz‑Portolés  is an Associate Professor at the University of Valencia (Universitat de Valèn-
cia) in Spain. He has carried out research on problem-solving, cognitive and metacognitive variables in 
science learning, and pedagogical content knowledge. His present research lines are scientific creativity, 
scientific inquiry skills, and epistemically unwarranted beliefs in primary and secondary education students 
and teachers.

https://www.redalyc.org/pdf/2430/243016317008.pdf

	Online processing while monitoring worked-out examples with embedded errors: defining university student profiles
	Abstract
	Introduction
	The present study
	A psychological model for inconsistency detection

	Methods
	Research design
	Participants
	Materials and task
	Instruments for data collection
	Procedure
	Variables and data analysis
	Predictions

	Results
	Student monitoring profiles according to their written reports
	Interviews
	General processing data
	Behavioural patterns for the student profiles

	Discussion
	Conclusions
	Limitations
	References


