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nudging, improvement in model rainfall appears to be 
consistent in regions with topographic variability such as 
Central Northeast and Konkan Western Ghat sub-regions. 
However the results are also dependent on choice of cumulus 
scheme used, with KF and KFm providing relatively good 
performance and the eight member ensemble mean showing 
better results for these sub-regions. There is no consistent 
improvement noted in Northeast and Peninsular Indian mon-
soon regions. Results indicate that the regional simulations 
using nested domains can provide some improvements on 
ISMR simulations. Spectral nudging is found to improve 
upon the model simulations in terms of reducing the intra 
ensemble spread and hence the uncertainty in the model sim-
ulated precipitation. The results provide important insights 
regarding the need for further improvements in the regional 
climate simulations of ISMR for various sub-regions and 
contribute to the understanding of the added value in sea-
sonal simulations by RCMs.

1  Introduction

The dynamics and moist processes that occur during the 
Indian summer monsoon (ISM) are influenced by complex 
land–atmosphere–convection interactions, which make 
simulations, predictions and projections of monsoon chal-
lenging (Goswami 2005; Niyogi et al. 2010; Pathak et al. 
2014). Realistic monsoon prediction for hydrological appli-
cations is necessary for planning and management of water 
resources in India. Efforts are underway to improve pre-
dictions using dynamical models that may have the ability 
to capture the interactions that occur during the monsoon 
(Chowdhary et al. 2014; Saha et al. 2014). Regional climate 
models (RCMs) are useful tools that can be used to further 
our understanding of these processes and might be useful for 

Abstract  Regional simulations of the seasonal Indian 
summer monsoon rainfall (ISMR) require an understand-
ing of the model sensitivities to physics and resolution, and 
its effect on the model uncertainties. It is also important 
to quantify the added value in the simulated sub-regional 
precipitation characteristics by a regional climate model 
(RCM), when compared to coarse resolution rainfall prod-
ucts. This study presents regional model simulations of 
ISMR at seasonal scale using the Weather Research and 
Forecasting (WRF) model with the synoptic scale forcing 
from ERA-interim reanalysis, for three contrasting monsoon 
seasons, 1994 (excess), 2002 (deficit) and 2010 (normal). 
Impact of four cumulus schemes, viz., Kain–Fritsch (KF), 
Betts–Janjić–Miller, Grell 3D and modified Kain–Fritsch 
(KFm), and two micro physical parameterization schemes, 
viz., WRF Single Moment Class 5 scheme and Lin et al. 
scheme (LIN), with eight different possible combinations 
are analyzed. The impact of spectral nudging on model sen-
sitivity is also studied. In WRF simulations using spectral 

Electronic supplementary material  The online version of this 
article (doi:10.1007/s00382-017-3864-x) contains supplementary 
material, which is available to authorized users.

 *	 Subimal Ghosh 
	 subimal@civil.iitb.ac.in

1	 Interdisciplinary Program in Climate Studies, Indian 
Institute of Technology Bombay, Mumbai 400 076, India

2	 Department of Civil Engineering, Indian Institute 
of Technology Bombay, Mumbai 400 076, India

3	 Centre for Environmental Science and Engineering, Indian 
Institute of Technology Bombay, Mumbai 400 076, India

4	 Department of Agronomy and Department of Earth, 
Atmospheric, and Planetary Sciences, Purdue University, 
West Lafayette, IN, USA

http://orcid.org/0000-0002-5722-1440
http://crossmark.crossref.org/dialog/?doi=10.1007/s00382-017-3864-x&domain=pdf
https://doi.org/10.1007/s00382-017-3864-x


4128	 A. Devanand et al.

1 3

seasonal monsoon predictions (Castro et al. 2012; Liu et al. 
2016; Siegmund et al. 2015).

Recent literature has raised the question on the added 
value in the simulations of precipitation by RCMs to jus-
tify the high computational costs (Castro et al. 2007; Lo 
et al. 2008; Di Luca et al. 2012; Racherla et al. 2012; Xue 
et al. 2014; Singh et al. 2016). In the context of these studies 
principally over Americas, Europe, and African regions, the 
overall conclusions suggests that RCMs do not unequivo-
cally add value to the global model outputs and the value 
addition seems to be contingent upon a number of factors 
like the variable, region, season, time scale and metrics of 
analysis. On the other hand, a group of studies identify the 
added value across multiple regional models in regions char-
acterized by complex topography (Prömmel et al. 2010), or 
land ocean contrasts (Feser et al. 2011; Di Luca et al. 2013; 
De Haan et al. 2015). However, for India, the number of such 
analysis is limited. Recently, Singh et al. (2016) evaluated 
nine coordinated regional downscaling experiment (COR-
DEX) RCM outputs for Indian monsoon and did not find 
consistent improvements with respect to host global model 
outputs. This poses an interesting and important question 
regarding the future strategies need for dynamical down-
scaling and regional climate simulations over the Indian 
monsoon region.

Lucas-Picher et al. (2011) examined the ability of four 
RCMs to represent the Indian monsoon and found biases in 
temperature, mean sea level pressure and winds over the sea. 
The authors hypothesize that the missing processes and lack 
of representation of feedback in RCMs are the major causes 
for the bias. Representation of physical processes through 
parameterizations has been found to be a major source of 
model uncertainty for regional water budgets (Fersch and 
Kunstmann 2014). The dynamical models have been found 
to be especially sensitive to the representation of convec-
tion in the tropics (Rajendran et al. 2013; Zittis et al. 2014; 
Raju et al. 2015). The existence of multiple parameteriza-
tion options for these physical processes in RCMs has led to 
identification of optimum parameterization combinations for 
different regions in the world. Even at seasonal scale differ-
ent schemes are found to be realistic for different regions of 
the North American monsoon region (Xu and Small 2002; 
Liang et al. 2004), African monsoon region (Ratna et al. 
2014; Flaounas et al. 2011), East Asian monsoon region 
(Choi et al. 2015) and Indian monsoon region (Mukhopad-
hyay et al. 2010; Srinivas et al. 2013). Whether the quest 
for the best parameterization combination is the meaningful 
approach is also under contention with some studies advo-
cating the use of multi-physics and multi-model ensembles 
for added value (Kim et al. 2014; Klein et al. 2015; De Haan 
et al. 2015).

Indian monsoon simulations have been found to be highly 
sensitive to regional model domain size, especially with 

respect to the simulated hydrological cycle. Bhaskaran et al. 
(2012) found that the seasonal mean hydrological cycle and 
day-to-day precipitation variations over a smaller sub-region 
within the model domain are highly sensitive to domain size. 
This sensitivity contributes to the uncertainty in the simu-
lated sub-regional precipitation over the Indian monsoon 
region. They concluded that the use of a single optimum 
RCM domain may not work for all sub-regions within the 
regional model domain for hydrological applications. They 
suggest that the use of large-scale nudging techniques that 
ensures consistency between forcing and regional models 
might be useful in this context. Spectral nudging for longer 
time scale simulations, introduced by von Storch et  al. 
(2000), provides better conformity to the large scale and 
reduced distortion of large scale flows on interaction with 
RCM boundaries in regional model simulations. There is 
consensus on improved regional simulations of large scale 
patterns using spectral nudging in various studies from dif-
ferent parts of the globe (Miguez-Macho et al. 2004; Castro 
et al. 2005; Rockel et al. 2008; Perez et al. 2014). Modest 
improvements in finer scale surface variables, such as, pre-
cipitation at a seasonal scale are reported in some studies 
(Kanamitsu et al. 2010; Miguez-Macho et al. 2005). Bullock 
et al. (2014) found improvements in finer resolution simula-
tions of precipitation over Central and Eastern United States 
only when some form of nudging is applied. For Indian mon-
soon, Paul et al. (2016) found improvements in climatology 
of regional simulations with the use of spectral nudging in 
WRF model.

Thus, evaluation of added value by a regional model, at 
seasonal scale, in conjunction with model uncertainties due 
to parameterizations, resolution and nudging techniques 
are necessary before application for seasonal prediction. 
A good regional prediction model for seasonal simulations 
should perform well under different interannual conditions 
such as surplus rainfall season, deficit rainfall season. The 
evaluation of RCMs using different parameterization com-
binations, understanding uncertainty and quantification of 
added value during different types of monsoon years are 
yet to be performed, and is undertaken in this study. The 
aim is to study the sensitivity of WRF simulated seasonal 
monsoon rainfall to cumulus and microphysics schemes 
for various sub-regions of the country for surplus, deficit 
and normal monsoon years. The effect of spectral nudging 
and finer resolutions on simulated sub-regional monsoon 
precipitation is also studied. Evaluation of RCM sensitiv-
ity to convective parameterizations for Indian monsoon in 
literature has focused on realistic simulations of monsoon 
climatology (Mukhopadhyay et al. 2010; Srinivas et al. 
2013). The novelty of this work lies in evaluating RCM per-
formance with respect to the large scale forcing data for 
contrasting monsoon years, with a view of application for 
seasonal prediction. The work helps to identify combination 
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of parameterizations that are able to capture the inter-annual 
variability in monsoon rainfall for different sub-regions and 
also to evaluate the performance of eight member multi 
physics ensemble for monsoon simulations.

2 � Model configuration and data details

The Weather Research and Forecasting model (WRF) ver-
sion 3.7 (Skamarock et al. 2008) is used for seasonal scale 
simulations of Indian monsoon. Experiments are undertaken 
for three contrasting monsoon years, 1994, an excess mon-
soon year, 2002, a deficit year and 2010, a normal rainfall 
year. For each year, the simulation is performed from May 
to October over a regional model domain covering the entire 
sub-continent (64.5°E–108°E, 8°S–43°N) at a horizontal 
resolution of 36 km with 30 vertical levels. Simulations 
using similar number of vertical levels have been found to 
show reasonable results for seasonal scale WRF simulations 
over the Indian and African monsoon regions by Mukopad-
hyay et al. (2010) (31 levels), Srinivas et al. (2013) (28 lev-
els), Flanous et al. (2011) (28 levels), Ratna et al. (2014) (28 
levels). Pohl et al. (2011) conducted sensitivity experiments 
over the east African monsoon region for a monsoon season 
(1999) using 28 and 35 model vertical levels and did not 
observe significant added value on increasing the number of 
vertical levels. However, a few researchers have used larger 
number of vertical levels for monsoon simulations over the 
African and North American monsoon regions, viz., Fersch 
and Kunstmann (2014) (40 levels), Racherla et al. (2012) (45 
levels). To understand the impact of higher vertical resolu-
tion on simulated seasonal rainfall over the Indian monsoon 
region, we have performed some additional simulations 
using 42 vertical levels, spaced closer together in the plan-
etary boundary layer.

The domain of 36 km spatial resolution is shown in 
Fig. 1a. The model is provided lateral boundary and initial 
conditions using the European Centre for Medium Range 
Weather Forecast (ECMWF) ERA Interim reanalysis data 
at 0.75° resolution (Dee et al. 2011). For regions where the 
model does not show a consistent improvement across all 
the three different years, additional experiments were con-
ducted to study the value of utilizing nested domain simu-
lations at a finer resolution of 12 km (shown in Fig. 1b–d). 
To study the sensitivity to convection and cloud physics, 
we perform simulations using the eight possible combina-
tions of four cumulus and two microphysics parameteriza-
tions for all the 3 years. To analyze the effect of spectral 
nudging, the simulations are further conducted with and 
without spectral nudging. In both sets of simulations (with 
and without spectral nudging), we use lateral boundary 
nudging through a buffer zone of five grid points. In the 
simulations with spectral nudging, in addition to the lateral 

boundary conditions, the large scale variability (~1500 km 
or higher) of the regional model simulated temperature 
and winds above the planetary boundary layer are nudged 
towards that of the forcing data. Spectral nudging is 
applied so as to not hamper the boundary surface forcing, 
as was performed by Miguez-Macho et al. (2004) and Paul 
et al. (2016). Thus for the different monsoon regimes, a 
total of 96 numerical experiments are conducted, 48 each 
at 36 km (48 experiments for 3 years × 8 combinations × 2 
nudging) and 12  km resolutions (48 experiments for 
3 years × 4 combinations × 4 regions).

The cumulus schemes tested in this study are those typi-
cally used in the WRF model simulations over the Indian 
monsoon region. These schemes include, Kain–Fritsch (KF), 
Betts–Janjić–Miller (BMJ), Grell 3D (G3) and the modified 
Kain–Fritsch (KFm). The KF scheme is a dynamic mass flux 
scheme that uses a plume model to calculate the mass trans-
fer in updrafts and downdrafts from one vertical model level 
to the next. The KF scheme uses a convective adjustment 
time scale, τ, as the time over which the convective available 
potential energy (CAPE) is reduced to stabilize the atmos-
phere. The scheme calculates τ based on the mean horizontal 
tropospheric wind speed and grid resolution, with an upper 
limit of 1 h and lower limit of 0.5 h (Kain and Fritsch 1993; 
Kain 2004). BMJ scheme is a static scheme that is based 
on the final atmospheric state after convection occurs, and 
adjusts the model field towards a base state based on the 
background convection neutral atmospheric state (Betts and 
Miller 1986). The scheme uses a relaxation time τ, that is 
dependent upon cloud efficiency, for the adjustment. The 
cloud efficiency is defined based on the mean cloud tem-
perature and entropy change. In this scheme τ varies from 
4285s (minimum cloud efficiency) to 3000s (maximum 
cloud efficiency) (Janjić 1994). Both these schemes have 
been widely used for longer time scale simulations in the 
tropics. Grell 3D is an improved version of the Grell–Deve-
nyi ensemble scheme, designed to work for relatively finer 
resolutions as well. The ensemble convective parameteri-
zation scheme uses a variety of closure assumptions and 
parameters to model the mean model convective tendency 
(Grell and Devenyi 2002). The modified KF scheme is a new 
addition in WRFv3.7 and introduces scale dependency to the 
original Kain–Fritsch parameterization (Zheng et al. 2016) 
and has not been tested for the ISM region. KFm scheme 
uses a grid resolution dependent dynamic formulation for 
the adjustment timescale τ. A scaling parameter, β, is intro-
duced into the timescale formulation of the KF scheme. For 
a 25 km grid β value becomes 1, while for a 1 km grid it 
would be four times larger (Zheng et al. 2016). However, 
the modification of cloud radiation feedback possible with 
this scheme is not considered in this study as its baseline 
performance over the ISM region is still being established 
(Yue Zheng, Personal Communication, 2016).
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The microphysics schemes, considered here, are WRF 
Single Moment Class 5 scheme (WSM5) and Lin et al. 
(1983) scheme (LIN). Both microphysics parameterizations 
are single moment schemes that predict the particle mixing 
ratios of hydrometeors. The experimental setup used in this 
study does not consider simulations with double moment 
microphysics schemes because in the preliminary runs, 
microphysics schemes had a relatively lower influence on 
the simulated monsoon rainfall at seasonal scale. In particu-
lar the double moment Thompson microphysics scheme did 
not show markedly different results from the single moment 
schemes used. The fixed parameterizations used for all sim-
ulations are Yonsei University Scheme (YSU) Planetary 
Boundary Layer, Community Land Model 4 (CLM4) land 
surface, Rapid Radiative Transfer Model (RRTM, Mlawer 

et al. 1997) for longwave and Dudhia (Dudhia 1989) short-
wave radiation schemes. We use CLM4 to represent land 
surface as the model has been found to provide a reasonable 
representation of land processes during the summer mon-
soon in coupled land–atmosphere simulations of the Indian 
monsoon (Paul et al. 2016; Halder et al. 2016). The fixed 
parameterization schemes selected, especially the planetary 
boundary layer schemes used (Klein et al. 2015; Qian et al. 
2016), may also have an impact on the results. Due to com-
putational constraints, we limit this study to documenting 
the impact of change in cumulus microphysics schemes, 
spectral nudging and model resolution on the monsoon 
rainfall.

Simulated sub-regional monsoon rainfall is evaluated 
against observations and this is further compared with the 

Fig. 1   a WRF single domain at 36 km resolution used for seasonal 
scale monsoon simulations and the sub-regions used for analysis. 
The shading shows terrain elevation in meters, b–e WRF nested 
domain configurations used for finer resolution simulations showing 

domains 1 (36 km) and 2 (12 km) with the nested domains centered 
over Northeast, West Central, Peninsular and Northwest sub-regions, 
respectively
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same from the reanalysis data over the homogeneous mete-
orological regions as identified by the India Meteorological 
Department (IMD). IMD gridded rainfall data at 0.25° reso-
lution is used as the observed rainfall data for the analyses. 
In addition to the IMD climate regions, the Konkan Western 
Ghat belt is treated as a separate region due to its complex 
topography and different monsoon rainfall features from the 
rest of peninsular India. This sub-region is also of interest 
as a preliminary review of number of prior studies over the 
ISM domain suggests there is a larger uncertainty in simulat-
ing the rainfall over the Konkan Western Ghat region par-
ticularly when using the WRF model. The sub-regions, used 
for the analysis of monsoon rainfall, are shown in Fig. 1a. 
The errors in seasonal totals and the differences in the spatial 
and temporal variability of regional monsoon rainfall are the 
metrics used for evaluation. The evaluation of sub-regional 
seasonal rainfall patterns is sufficient to assess model appli-
cability for seasonal monsoon prediction, as it considers the 
spatio-temporal variability of rainfall.

3 � Results and discussions

First the comparison of regional model simulated synoptic 
scale monsoon circulations with that of the large scale forc-
ing data are presented. This is followed by discussion of the 
“added value” in the WRF simulated sub-regional monsoon 
rainfall, which is the major focus of this analysis. The WRF 
simulated precipitation is compared with observations and 
also with precipitation from the forcing reanalysis, to quan-
tify the added value in regional simulations. The regional 
modeling is considered to have “added value” if the errors 
in simulated sub-regional precipitation characteristics are 
consistently (across the 3 years) lower than the errors in the 
same from forcing reanalysis data. The spread of the eight 
member physics ensemble is used to quantify the uncertainty 
in model simulations.

3.1 � Large scale circulation

Model simulated 2 m air temperature (T2m) and mean sea 
level pressure (MSLP) are compared against the large scale 
features of the forcing model in Fig. 2. The simulated sea-
sonal mean large scale features are more sensitive to the 
use of spectral nudging than the change of model physics. 
The fields in Fig. 2 have been averaged over the eight differ-
ent cumulus-microphysics parameterization combinations 
to portray the effect of spectral nudging. The comparison 
shows that WRF simulations without nudging show posi-
tive deviations in T2m and negative deviations in MSLP, 
especially over Northern India. The ensemble mean shows 
a 3 year mean bias of +1.15 K (RMSE = 2.05 K) in T2m 
and −2.81 hpa (RMSE = 3.12 hpa) in MSLP over a box over 

the North Indian subcontinent (20°–30°N, 65°–90°E). This 
strengthening of monsoon trough seen in WRF simulations 
without the use of spectral nudging is also associated with a 
stronger monsoon flow. Supplementary Figure S1 shows the 
comparison of vertically integrated moisture transport from 
WRF simulations with that from the forcing data. The devia-
tions of T2m and MSLP over the Indian monsoon region 
seen in the simulations in this study are broadly representa-
tive of previous studies using other regional climate models 
as well (Saeed et al. 2009; Lucas-Picher et al. 2011). The use 
of spectral nudging helps to reduce this bias in large scale 
circulation for all combination of parameterizations tested. 
The ensemble means of simulations using spectral nudging 
exhibit a 3 year mean bias of +0.09 K (RMSE = 1.46 K) 
in T2m and +0.20 hpa (RMSE = 0.71 hpa) over the North 
Indian subcontinent (20°–30°N, 65°–90°E). The comparison 
of upper level circulation features is beyond the scope of this 
study because spectral nudging is employed to maintain con-
sistency in large scale variability of winds and tropospheric 
temperature above the planetary boundary layer. Indeed the 
improvements within the boundary layer do influence the 
regional and mesoscale feedbacks and the nudging technique 
appears to be effective in reducing deviations of surface level 
large scale patterns as well.

3.2 � Precipitation

Before analyzing the sub-regional rainfall characteristics to 
identify the added value by the regional model, the spatial 
pattern of errors in simulated rainfall over India is exam-
ined. Figure 3 compares the errors in seasonal (JJAS) total 
rainfall from WRF simulations with the same from the forc-
ing reanalysis. The errors are computed with respect to the 
IMD gridded data. The seasonally averaged WRF simula-
tions remain almost the same across all the microphysics 
schemes and they are only sensitive to the selection to cumu-
lus scheme. Therefore, only the cases for different cumulus 
scheme with the average across microphysics schemes are 
presented.

The spectrally nudged WRF simulations generally show 
lower errors than the simulations without nudging. Further, 
the nudged simulations show a spatial consistency of errors 
across the cumulus schemes. For example, all the nudged 
simulations for wet year 1994 exhibit a dry bias in seasonal 
rainfall over West Central India, but of varying magnitudes. 
The underestimation of year 1994 monsoon rainfall in West 
Central India exists in forcing data ERA as well (shown in 
Fig. 3a1), which the WRF simulations with nudging do not 
completely eliminate. The simulations without the use of 
nudging show a variable pattern of errors, with areas of high 
positive and negative errors. The improvements in simulated 
rainfall achieved through the use of spectral nudging are 
more clearly visible during years 2002 (deficit) and 2010 



4132	 A. Devanand et al.

1 3

Fig. 2   Comparison of the large scale patterns of 2 m air temperature, 
T2m in K (shading) and mean sea level pressure, MSLP in hpa (con-
tours) from forcing reanalysis and regional model simulations, a–c 
ERA T2m and MSLP for 1994, 2002 and 2010, d–f WRF nudged 8 
member physics ensemble mean T2m and MSLP for 1994, 2002 and 
2010, g–i WRF 8 member physics ensemble mean T2m and MSLP 

for 1994, 2002 and 2010. The mean bias and root mean square error 
(RMSE) of simulated T2 (in K) and PMSL (in hpa) over a box over 
Northern India (20–30N, 65–90E) are shown in the figure. WRF 
without overestimates T2 (average mean bias 1.15  K) and underes-
timates MSLP (average mean bias −2.80  hpa); spectral nudging 
reduces the bias for all 3 years
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(normal). For these 2 years, the nudged simulations show 
lower errors all over the Indian landmass compared to their 
non-nudging counterparts. Looking at the general behavior 
of specific schemes, we find that the G3 scheme largely over-
estimates precipitation over areas of orographic precipita-
tion like the west coast (Konkan Western Ghat region) and 
Himalayan foot hills. The larger errors in simulations using 
G3 scheme may be partially improved using higher verti-
cal resolution. A few additional simulations have been per-
formed using 42 vertical levels spaced closer together in the 
PBL, for the 3 years and four convective parameterizations 
(12 simulations for 3 years × 4 parameterizations). For simu-
lations using KF, KFm and BMJ schemes, the increase in 
vertical resolution does not show significant added value for 
mean seasonal rainfall. However, simulations using the G3 
scheme, especially over Konkan Western Ghat and North-
east regions, show reduction of errors compared to simula-
tions using 30 vertical levels (Supplementary Figure S4). 
KF, BMJ and KFm schemes show more reasonable patterns 
of errors, that is, similar to errors in the forcing data ERA. 
The rainfall from ERA shows larger errors over regions of 
higher monsoon rainfall—the west coast, central India and 
Northeast India, for all the 3 years, 1994, 2002 and 2010. In 
the following section, the performance of WRF simulations 
using individual schemes and multi-physics ensemble on a 
sub-regional scale is evaluated.

3.2.1 � Region averaged rainfall errors from simulations 
at 36 km resolution

Figure 4 shows the errors in average regional monsoon rain-
fall from the WRF simulations at 36 km spatial resolution. 
The errors are computed with respect to observed IMD rain-
fall data and compared to the errors of the same in the forc-
ing reanalysis. In Fig. 4, the errors in mean monsoon rain-
fall are grouped by simulations using specific schemes and 
nudging techniques. For each cumulus scheme (KF, BMJ, 
G3, KFm) there are four data points, two from simulations 
using spectral nudging and two from simulations without 
nudging. For each microphysics scheme (WSM5, LIN) there 
are eight data points, four from simulations using nudging 
and four from simulations without nudging. The number of 
data points may appear fewer in some cases due to overlap 
of circles representing very close data points. From Fig. 4, 
in all sub-regions, a larger spread of rainfall errors are 
seen across cumulus than microphysics schemes. Thus the 
simulated sub regional monsoon rainfall is more sensitive 
to cumulus than microphysics schemes. Table 1 shows the 
changes in sub-regional precipitation (in mm/season) arising 
from change of cumulus and microphysics schemes for the 
3 years. In case of microphysics, the changes are calculated 
as the difference of average precipitation from WRF simula-
tions using WSM5 and LIN schemes. For cumulus schemes 

the changes presented are the average difference in simulated 
precipitation of all six combinations of cumulus scheme 
pairs. The uncertainty in sub-regional seasonal rainfall 
associated with the change of microphysics scheme is low, 
typically accounting for 2–8% of mean seasonal rainfall for 
all years and sub-regions. The uncertainty in sub-regional 
rainfall due to change of cumulus scheme are much higher 
(range of 12–165%) and shows large variation across sub-
regions and years. Table 1 also includes the uncertainty in 
the simulated rainfall values as percentages of the observed 
seasonal rainfall, to highlight the magnitude of the param-
eterization induced spread relative to the seasonal rainfall.

We compared the convective/total seasonal (JJAS) rainfall 
ratios during 2002 and 2010 summer monsoon with TRMM 
3A25 data and found that the simulations using spectral 
nudging generally overestimates this ratio by 15–20%. The 
simulations without nudging are closer to observed pro-
portions (Supplementary Table S1). However, the spread 
of sub-regional rainfall associated with change of micro-
physics scheme remains similar for both sets of simulations 
(Table 1).

In general, it is found that the use of spectral nudging 
reduces the intra-ensemble spread of model simulated sea-
sonal rainfall; however, the Peninsular India stands out as 
an exception. The reduction in model spread is due to the 
elimination of deviations of regional model simulated large 
scale circulation, leading to better consensus among simu-
lations. Unconstrained model simulations using different 
physics show intra-ensemble differences in large scale cir-
culation patterns (not shown) which are largely eliminated 
using nudging. This contributes to reduction of model 
spread. Hence, the use of nudging constrains the ability of 
model physics to generate variability in temperature and 
winds above the planetary boundary layer on a large scale 
(>1500 km in this study), while allowing for variability and 
hence differences on smaller scales. It is found that over 
most of the sub-regions, this has translated to a reduction of 
spread in model simulated rainfall as well.

The added value in simulated sub-regional precipita-
tion by the regional model is evaluated next. In the Central 
Northeast sub-region improvements are noted in model sim-
ulated seasonal precipitation compared to forcing data ERA 
(Fig. 4d–f). WRF simulations using the KF scheme and the 
eight member physics ensemble mean show consistently (for 
the 3 years) lower errors in simulated monsoon rainfall com-
pared to ERA. Precipitation from ERA shows larger errors 
over this region and fails to capture inter annual variability 
of observed monsoon rainfall. ERA underestimates the wet 
year seasonal rainfall, and overestimates the dry and normal 
year seasonal totals. The WRF ensemble mean and indi-
vidual simulations using the KF parameterization scheme 
capture the wet year better and improves upon the simulated 
inter annual variability for these 3 years (Fig. 4d–f). The 



4134	 A. Devanand et al.

1 3



4135Multi-ensemble regional simulation of Indian monsoon during contrasting rainfall years:…

1 3

nudged WRF simulations show similarity in the order of 
cumulus schemes with respect to simulated seasonal rainfall 
magnitude across the 3 years. The order of cumulus schemes 
for mean seasonal rainfall in descending order for this region 
is G3 > KF > BMJ > KFm. The Central Northeast sub-region 
includes the Ganga basin which is known to be a region of 
strong land–atmosphere coupling (Koster et al. 2004; Pathak 
et al. 2014). It is speculated that the value addition seen in 
Central Northeast sub-region is due to better representation 
of land atmospheric interaction in the regional model (Zheng 
et al. 2015).

WRF simulations in the Northeast region does not show 
consistent added value over the forcing data (Fig. 4g–i). The 
performance of the ensemble as a whole mirrors the pattern 
of errors in the ERA rainfall, where simulations for years 
1994 and 2002 show an overestimation and year 2010 is 
near zero error. The individual simulations and the phys-
ics ensemble mean do not consistently add value over the 
large scale forcing data. The order of cumulus schemes for 
seasonal mean rainfall in descending order for this region 
is G3 > KF > BMJ or KFm. Previous studies have noted 
that the rainfall over northeast part of India shows an out of 
phase active-break relationship with the rainfall over cen-
tral and western India (Dhar and Nandhargi 2000; Goswami 
et al. 2010). Most of the extreme rainfall events in this region 
are found to occur with the monsoon system. Goswami et al. 
(2010) found the monsoon extreme rainfall events in this 
region to be the result of complex multiscale interactions of 
the circulation with the local topography. Similarly Medina 
et al. (2010) show that even under regions of complex topog-
raphy, the land surface representation and feedbacks could 
also be an important modulator. Present results also lead to 
the conclusion that the use of a very high resolution model 
may be required to capture the observed interactions. This 
could be the reason for the lack of value addition for this 
sub-region, seen in the simulations. Here it can be stated 
that better resolved topography gradients (as is the case in 
WRF vs ERA) are not sufficient to guarantee added value 
in regional simulations. This finding is also consistent with 
Srinivas et al. (2015). They report a lack of value addition in 
onset phase monsoon rainfall over this sub-region.

From Fig. 4j–l, it is seen that over the Northwest India, 
the general pattern of seasonal rainfall from the nudged WRF 
multi-physics ensemble mirror the forcing data. Simulations 

for years 1994 and 2010 underestimate the seasonal rainfall 
while that for year 2002 is having around zero error. In terms 
of consistent improvements in seasonal rainfall, there was no 
evidence for added value in WRF simulations with respect to 
forcing reanalysis in this region. The cumulus schemes in a 
descending order of mean seasonal rainfall simulated in this 
region is similar to Central Northeast and Northeast regions, 
i.e., G3 > KF > BMJ or KFm.

The forcing reanalysis data exhibits large negative error 
(2.9 mm/day on average or 354 mm over the entire season) 
over the West Central region in the excess monsoon year 
1994 (Fig. 4p–r). WRF simulations using specific schemes 
(BMJ, G3) are able to improve upon this error with around 
50% reduction in underestimation. But these simulations 
fail to show consistent improvements across all the 3 years 
tested. The ensemble mean precipitation adds value to sea-
sonal totals of 1994 and 2010 as shown in Fig. 4p–r. For the 
year 2002, ERA interim rainfall is very close to observed 
(Model—Obs error of −0.2%) and it might be unreason-
able to expect added improvements through regional mod-
eling. The WRF ensemble mean exhibits a Model—Obs 
error of −8% in seasonal total over this region during 2002. 
Thus the nudged WRF simulations fail to show consistent 
improvements over the forcing reanalysis in this region. The 
hierarchy of cumulus schemes for seasonal mean rainfall 
in a descending order over the West Central region is dif-
ferent from the northern regions, and it is G3 or BMJ > KF 
or KFm. The changes of the above mentioned order across 
regions probably attribute to the geographical features such 
as homogeneity, orography etc. of the region.

WRF simulations over the Peninsular region overestimate 
monsoon rainfall for all the 3 years (some individual sea-
sonal simulations show exceptions), and the overestimation 
is visible in ensemble means as well (Fig. 4m–o). Individ-
ual simulations using KF and KFm cumulus schemes show 
lower errors in seasonal totals during the years 1994 and 
2010. The observed sub-regional rainfall during the deficit 
monsoon year 2002 is very low (233 mm), and ERA and 
WRF simulations show large overestimation for this particu-
lar year. The observations show near zero monsoon rainfall 
in many grid points across this region, which the model fails 
to capture. Thus our analysis does not show added value 
through consistent improvements in regional simulations 
over this region. The hierarchy of cumulus schemes for mean 
sub-regional monsoon rainfall in a descending order over 
Peninsular region is similar to that of West Central region 
with G3 or BMJ > KF or KFm.

In the Konkan Western Ghat sub-region, simulations 
using the KFm scheme and physics ensemble mean with 
spectral nudging are found to consistently improve upon the 
errors in ERA rainfall (Fig. 4s–u). ERA underestimates the 
rainfall over Konkan region for all the 3 years tested; the 
underestimation is reduced in WRF simulations. The order 

Fig. 3   Errors in seasonal (JJAS) total rainfall with respect to IMD 
gridded data from ERA and WRF simulations, for years 1994, 2002 
and 2010 in mm/day. The WRF simulated rainfall is averaged across 
microphysics schemes and presented separately for each cumulus 
scheme (KF, BMJ, G3, KFm) a1–c1 ERA-IMD JJAS rainfall, 1994, 
2002, 2010, a2–a5 WRF-IMD JJAS rainfall 1994, a6–a9 WRF 
nudged-IMD JJAS rainfall 1994, b2–b5 WRF-IMD JJAS rainfall 
2002, b6–b9 WRF nudged-IMD JJAS rainfall 2002, c2–c5 WRF-
IMD JJAS rainfall 2010, c6–c9 WRF nudged-IMD JJAS rainfall 2010

◂
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Fig. 4   Comparison of errors in seasonal (JJAS) total rainfall from 
ERA forcing data (green line) and 36 km regional model simulations 
(circles) for 1994, 2002 and 2010. The simulations using different 
schemes and spectral nudging as well as the physics ensemble mean 
are represented separately for each sub-region. a–c All India, d–f 
Central Northeast, g–i Northeast, j–l Northwest, m–o Peninsular, p–r 
West central, s–u Konkan Western Ghat. For each cumulus scheme 
(KF, BMJ, G3, KFm) there are four data points, two from simulations 
using spectral nudging (filled red circles) and two from simulations 
without nudging (open red circles). For each microphysics scheme 

(WSM5, LIN) there are eight data points, four from simulations using 
nudging (filled blue circles) and four from simulations without nudg-
ing. The number of data points may appear fewer in some cases due 
to overlap of circles representing very close data points. Subplots 
s–u do not show the without nudging simulations using G3 scheme as 
these errors are much higher that the y-axis scale. Consistent reduc-
tion of errors in RCM simulated rainfall over forcing reanalysis is 
visible in Central Northeast (KF and Ensemble mean) and Konkan 
Western Ghat (KFm and Ensemble mean) sub-regions, for simula-
tions with spectral nudging
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of cumulus schemes in a descending order of simulated 
mean precipitation over Konkan region is G3 > KFm > KF 
or BMJ.

This sub-regional analysis reveals that regional model 
adds some value in two out of the six sub-regions over India, 
viz., the Central Northeast and Konkan Western Ghat. For 
the other sub-regions, we do not find added value in mon-
soon precipitation from the 36 km resolution model simula-
tions. Over the Northeast and Northwest regions, the pre-
cipitation from the ensemble of WRF simulations, mirror the 
precipitation from ERA and IMD data. Over the West Cen-
tral region the ensemble simulations are not able to match 
the very low error in precipitation from ERA in year 2002. 
Peninsular region is the only zone where the regional model 
simulations fail to improve upon large errors in the forcing 
reanalysis, particularly for dry year 2002.

We use Fig. 5 and Table 1 to understand the ensemble 
spread of simulated regional precipitation from the 36 km 
WRF simulations. The seasonal evolution of sub-regional 
rainfall cycle is presented in Fig. 5. A smoothened seasonal 
cycle using 15-day mean sub-regional rainfall, averaged over 
the eight member ensemble is shown, the shading repre-
sents the ensemble spread in sub regional rainfall. We use 
the 15-day mean to present the variations in the monsoon 

seasonal cycle simulated by specific schemes, the daily tem-
poral variability of rainfall is evaluated in Sect. 3.2.4. Tem-
poral window smaller than 15 days may also be considered, 
however the same may not be sufficient to remove the high 
frequency variability to represent the smoothened pattern 
of precipitation. In line with the seasonal total rainfall, the 
change of microphysics scheme adds very little variability 
to the seasonal cycle (not shown).

From Fig. 5 it is noted that the use of spectral nudging 
results in reduction of intra-ensemble spread throughout the 
season, over all regions except Peninsular India. We find 
the effect of spectral nudging on regional precipitation in 
Peninsular India to be different from that in the other sub-
regions; the nudged and without nudging simulations show 
comparable ensemble spreads in seasonal rainfall over this 
region. Over the sub regions Central Northeast, Northeast, 
Northwest and Konkan Western Ghat, the use of nudging 
achieves around two to threefold reduction of intra ensemble 
spread (Table 1). Over the West Central region, the use of 
spectral nudging shows reduction of ensemble spread in 
years 1994 and 2002. Nudged simulations of 2010 mon-
soon show more ensemble spread in terms of seasonal total 
(Table 1) but, the seasonal cycle however is more consistent 
with observations in the nudged simulations.

Table 1   The differences in WRF simulated sub-regional rainfall associated with change of cumulus and microphysics parameterizations for 
years 1994, 2002 and 2010 in mm/season

The values are represented as percentages of observed seasonal rainfall in brackets

1994 2002 2010

Nudged w/o nudging Nudged w/o nudging Nudged w/o nudging

All India
 Cumulus 167 (18%) 352 (37%) 129 (19%) 349 (50%) 168 (19%) 324 (36%)
 Microphysics 12 (1%) 25 (3%) 14 (2%) 12 (2%) 11 (1%) 41 (5%)

Central Northeast
 Cumulus 257 (24%) 328 (31%) 255 (31%) 409 (50%) 265 (34%) 342 (43%)
 Microphysics 44 (4%) 8 (1%) 25 (3%) 43 (5%) 4 (0%) 34 (4%)

Northeast
 Cumulus 213 (18%) 492 (43%) 176 (12%) 597 (39%) 215 (15%) 664 (46%)
 Microphysics 23 (2%) 24 (2%) 43 (3%) 101 (7%) 20 (1%) 21 (1%)

Northwest
 Cumulus 110 (16%) 364 (51%) 72 (28%) 184 (71%) 104 (16%) 293 (44%)
 Microphysics 5 (1%) 19 (3%) 5 (2%) 17 (6%) 4 (1%) 48 (7%)

Peninsular
 Cumulus 206 (65%) 164 (52%) 139 (60%) 93 (40%) 145 (26%) 175 (31%)
 Microphysics 26 (8%) 5 (2%) 30 (13%) 15 (6%) 46 (8%) 16 (3%)

West Central
 Cumulus 144 (13%) 328 (30%) 85 (12%) 314 (44%) 258 (28%) 149 (16%)
 Microphysics 3 (0%) 6 (1%) 1 (0%) 44 (6%) 7 (1%) 30 (3%)

Konkan Western Ghat
 Cumulus 852 (43%) 3114 (157%) 498 (41%) 1766 (147%) 596 (37%) 2655 (165%)
 Microphysics 30 (2%) 365 (18%) 15 (1%) 90 (7%) 7 (0%) 130 (8%)
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To understand if a further improvement in resolution 
helps to improve the simulations, nested domain for sub-
regional simulations at a spatial resolution of 12 km are 
analyzed in Sect. 3.2.2.

3.2.2 � Region averaged rainfall errors from simulations 
at 12 km resolution

The finer resolution simulations are performed at a spatial 
resolution of 12 km for nested domains over Northwest, 

West Central, Peninsular and Northeast sub-regions. The 
domains used for these simulations are shown in Fig. 1b–e. 
The 12 km nested simulations have been performed for the 
four cumulus schemes for all the 3 years. The computational 
cost and the relatively low impact of microphysics schemes 
seen in the coarser resolution simulations discussed in pre-
vious section are two main reasons for focusing only on the 
cumulus schemes.

Figure 6 shows the errors in seasonal rainfall from 
the 12 km nested WRF simulations for Northwest, West 

Fig. 5   Comparison of the seasonal cycle of region averaged rainfall 
(15 day mean) from forcing data ERA (black) and WRF eight mem-
ber ensemble mean (blue) with IMD gridded observations (yellow) 
for each sub-region. The shading represents the ensemble spread. The 
plots are presented separately for simulations with and without spec-

tral nudging for years 1994, 2002 and 2010. a1–a6 All India, b1–b6 
Central Northeast, c1–c6 Northeast, d1–d6 Northwest, e1–e6 Penin-
sular, f1–f6 West Central, g1–g6 Konkan Western Ghat. Reduction 
of uncertainty in model simulated rainfall is visible in all sub-regions 
throughout the monsoon season for spectrally nudged runs
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Central, Peninsular and Northeast sub-regions. The errors 
in finer and coarser resolution simulations are compared 
using the same physics and dynamical configuration. 
Results indicate that simulations using specific param-
eterization schemes show consistent improvements in 
simulated seasonal rainfall in Northwest (Fig. 6d–f) and 
West Central (Fig. 6a–c) sub-regions, at this finer reso-
lution. In the 12  km resolution simulations, the BMJ 
scheme perform well for the Northwest and KF scheme 
for the West Central sub-regions. In both the sub-regions, 
improvements are seen as reduction of errors in simulated 
monsoon rainfall. In Northwest and West Central regions, 

the four member ensemble mean of the finer resolution 
simulations do not consistently add value over the forcing 
reanalysis data. For two of the sub-regions, Peninsular and 
Northeast, we do not find any combination of schemes 
tested or the ensemble mean to perform consistently better 
than the reanalysis. Thus the increase of model resolution 
has not resulted in improved regional rainfall in these sub-
regions. The quality of the observed data in the Northeast 
region poses a challenge due to lack of good number of 
rain gauges in the area. This could also play a role in the 
lack of value addition in the Northeast region that emerges 
from this analysis.

Fig. 6   Comparison of errors 
in seasonal (JJAS) total rainfall 
from ERA forcing data (green 
line) and 12 km regional model 
simulations for 1994, 2002 and 
2010. The simulations using 
different cumulus schemes at 
12 km (black asterisks) and 
36 km (red circles) are repre-
sented separately for each sub-
region. a–c West Central, d–f 
Northwest, g–i Peninsular, j–l 
Northeast. The 12 km simula-
tions show consistent improve-
ment in seasonal rainfall errors 
in Northwest (BMJ) and West 
Central (KF) sub-regions
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3.2.3 � Spatial variability

The probability distribution functions (PDFs) of seasonal 
rainfall are plotted to evaluate the spatial variability of simu-
lated rainfall. However, it should be noted that the observed 
data is at 0.25° resolution, while the simulation is at 36 km 
resolution. They cannot be compared directly, and hence the 
evaluation provides only a qualitative idea of the model skill 
in terms of simulating spatial variability. While re-gridding 
is one possible approach, it accumulates the error that is 
inherent in the methodology and therefore not considered 
in this study. The observed spatial variability in each sub-
region is represented by PDFs of seasonal rainfall using all 
grid points that fall within the region. They are compared to 
the same as obtained from simulated/reanalysis precipitation 

of WRF and ERA. The comparison of the observed PDFs 
of spatial variability with PDFs of WRF simulations and 
ERA is shown in Fig. 7. The PDFs of the eight member 
ensemble mean with shading to indicate ensemble spread, 
are presented for each sub-region and year.

The choice of cumulus schemes cause variability in 
spatial distribution of regional precipitation for all six sub-
regions. The use of spectral nudging does not show reduc-
tion of intra-ensemble spread in case of spatial variability of 
regional precipitation, as observed for the regional seasonal 
total rainfall. The PDFs of WRF simulated rainfall are visu-
ally compared against the same from ERA and observed data 
to identify parameterizations that show consistent improve-
ments (i.e. similarity to observed rainfall PDFs) with respect 
to ERA.

Fig. 7   Comparison of the PDFs of spatial variability of seasonal 
(JJAS) total rainfall from forcing data ERA (black) and WRF eight 
member ensemble mean (blue) with IMD gridded observations (yel-
low) for each sub-region. The plots are presented separately for simu-
lations with and without spectral nudging for years 1994, 2002 and 
2010 for sub-regions. a1–a6 Central Northeast, b1–b6 Northeast, c1–
c6 Northwest, d1–d6 West Central, e1–e6 Peninsular, f1–f6) Konkan 

Western Ghat. Simulations using KF scheme for Central Northeast 
and KFm scheme for Konkan Western Ghat sub-regions are included 
in a1–a3 and f1–f3, respectively. WRF with nudging shows consist-
ent improvements in spatial variability in Central northeast (KF and 
ENS mean) and Konkan Western Ghat (KFm and ENS mean) sub-
regions
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We find that in two of the sub-regions, Central Northeast 
and Konkan Western Ghat, some individual seasonal WRF 
simulations and the ensemble mean capture the observed 
PDF of spatial variability better than ERA. In Central North-
east region, nudged simulations using KF and the ensemble 
mean capture the observed PDF better than ERA as shown 
in subplots a1–a3 of Fig. 7. In Konkan region, the nudged 
simulations using KF, KFm and the ensemble mean improve 
upon the spatial variability of ERA rainfall as shown in sub-
plots f1–f3 of Fig. 7. Results suggest that the use of KF 
scheme as well as the physics ensemble mean in Central 
Northeast region, and KFm or KF scheme as well as the 
eight member ensemble mean in Konkan Western Ghat 
region, adds value to regional spatial variability in additional 
to seasonal totals.

For the sub-regions, West Central, Northwest, Northeast 
and Peninsular India we also compare the spatial variabil-
ity from the 12 km nested simulations with reanalysis and 
observations to understand the impact of resolution. The 
12 km nested simulations for these sub-regions are not found 
to result in added improvements over the coarser resolution 
simulations in terms of spatial variability. Supplementary 
Figure S2 provides comparison of spatial variability PDFs 
of the nested domain 12 km simulations and 36 km single 
domain simulations.

3.2.4 � Temporal variability

To evaluate the model simulated temporal variability, PDFs 
representing variability of spatially averaged rainfall over 
a region across days in a season are developed. The daily 
rainfall variability from WRF simulations is compared with 
the same from original forcing data and gridded observa-
tions. Figure 8 shows the PDFs of daily temporal variability 
of regional rainfall for each sub-region and year. As is the 
case with spatial variability, PDFs are presented for the eight 
member ensemble mean with shading to indicate ensemble 
spread. Simulations with and without spectral nudging are 
presented separately.

The daily temporal variability of precipitation from ERA 
is close to observations for all regions and the 3 years. In the 
case of WRF simulations, the PDFs representing temporal 
rainfall variability for the nudged simulations are closer to 
those from observations and forcing reanalysis. Spectral 
nudging brings the temporal variability of simulated precipi-
tation closer to the reanalysis and observed, and also reduces 
the intra ensemble spread of the PDFs. The reduction of 
intra ensemble spread in temporal variability is observed 
in simulations using spectral nudging over all sub-regions 
except Peninsular India. In Peninsular India, the use of spec-
tral nudging has not resulted in reduction of intra ensem-
ble differences in temporal variability. Figure 8e1–e6 show 

comparable intra ensemble spread of temporal variability for 
nudged and without nudging simulations, in this sub-region.

For the sub-regions, West Central, Northwest, Northeast 
and Peninsular India, the temporal variability of simulated 
rainfall from the 12 km resolution simulations are compared 
with those from the coarser resolution simulations and 
observations. Similar to spatial variability, the temporal rain-
fall variability from the 12 km resolution nested simulations 
do not show marked improvement over the coarser 36 km 
resolution simulations (also summarized in Supplementary 
Figure S3).

To summarize the results in terms of model improve-
ments and uncertainty for all the sub-regions, Figs. 9 and 10 
are presented. The discussion on sub-regional rainfall errors 
in Sects. 3.2.1. and 3.2.2. is summarized in Fig. 9. Figure 9 
compares the average error in seasonal rainfall from the dif-
ferent WRF simulations with respect to the error in rainfall 
from ERA. The whiskers indicate the minimum–maximum 
ranges of seasonal rainfall errors from simulations with dif-
ferent physics (cumulus–microphysics parameterizations). 
The consistent improvement in regional model ensemble 
mean for Central Northeast and Konkan Western Ghat sub-
regions can be noted from Fig. 9. Figure 10 presents the 
time series of daily rainfall from the WRF simulations using 
the suggested schemes for the four sub-regions, viz., Cen-
tral Northeast, Konkan Western Ghat, Northwest and West 
Central. The selected simulations in the Central Northeast 
(using KF scheme) and Konkan Western Ghat (using KFm 
scheme) sub-regions is found to improve upon the peaks in 
daily rainfall, with respect to the forcing reanalysis data. 
Regional rainfall over Central Northeast region from ERA 
shows a 3 year mean underestimation of peak daily rainfall 
by 9.8 mm/day (RMSE = 10.4 mm/day), the underestima-
tion is reduced to 6.5 mm/day (RMSE = 7.8 mm/day) in 
the WRF-KF simulations. Over the Konkan Western Ghat 
region, the 3 year mean underestimation of peak rainfall 
from ERA amounts to 31.8 mm/day (RMSE = 31.9 mm/day), 
it is reduced to 17.1 mm/day (RMSE = 18.6 mm/day) in the 
WRF-KFm simulation.

4 � Summary and conclusion

In this study we evaluate the performance of WRF model 
for seasonal scale simulations of Indian monsoon, with focus 
on the added value by regional model for sub-regional mon-
soon precipitation during contrasting monsoon years. The 
use of an eight-member cumulus–microphysics ensemble, 
spectral nudging techniques and finer resolutions provides 
information on the impact of these configuration changes on 
the model skill and uncertainty for sub-regional precipita-
tion. We find consistent added value in simulated seasonal 
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rainfall over Central Northeast and Konkan Western Ghat 
sub-regions through this analysis. At finer resolutions, we 
are also see added value over the West Central and North-
west sub-regions. To the best of our knowledge, such an 
evaluation has not been done for the Indian monsoon region 
before and is necessary for application of the regional model 
for seasonal prediction of monsoon rainfall. The key findings 
from the study are the following.

•	 Model simulated rainfall is more sensitive to cumulus 
parameterization schemes than microphysics parameteri-
zation schemes for seasonal scale Indian monsoon simu-
lations and for all sub-regions.

•	 The use of spectral nudging reduces the biases in regional 
model simulated large scale circulation over the Indian 
monsoon region. This result is consistent with the con-

clusions from earlier studies in other parts of the globe 
(Miguez-Macho et al. 2004; Castro et al. 2005; Perez 
et al. 2014). At a sub-regional scale, nudging reduces 
uncertainty in simulated precipitation both in terms of 
seasonal total rainfall and seasonal precipitation cycle. 
The reduction of uncertainty comes from reduced intra 
ensemble spread of RCM simulations. Results indicate 
that up to three-fold reduction of ensemble spread in 
most regions is possible through the use of spectral nudg-
ing. Through the use of spectral nudging improvement 
in the daily temporal variability of simulated precipita-
tion is also found. The reduction of uncertainty in model 
simulated precipitation through the use of spectral nudg-
ing is visible in all sub-regions except Peninsular India.

•	 Results indicate, consistent added value in WRF simu-
lated monsoon rainfall in the coarser resolution simula-

Fig. 8   Comparison of the PDFs of temporal variability of region 
averaged daily rainfall from forcing data ERA (black) and WRF 
eight member ensemble mean (blue) with IMD gridded observations 
(yellow) for each sub-region. The shading represents the ensemble 
spread. The plots are presented separately for simulations with and 

without spectral nudging for years 1994, 2002 and 2010 for sub-
regions. a1–a6 Central Northeast, b1–b6 Northeast, c1–c6 North-
west, d1–d6 West Central, e1–e6 Peninsular, f1–f6 Konkan Western 
Ghat. Use of spectral nudging brings the daily temporal variability of 
model simulated rainfall closer to reanalysis and observed
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tions for two out of the six sub-regions analyzed, viz., 
Central Northeast and Konkan Western Ghat. Based on 
the simulations, the use of KF scheme for Central North-
east and KFm scheme for Konkan Western Ghat region 
is suggested for seasonal scale monsoon simulations at 
similar resolutions. The eight member multi physics 
ensemble mean also shows consistent improvements over 
forcing reanalysis for these two sub-regions, adding to 
the robustness of the result. Improvements are visible 
in spatial variability of rainfall in addition to regional 
seasonal total rainfall. The value addition in Konkan 
Western Ghat sub-region is most likely due to a better 
representation of topography in the RCM. This builds on 
the conclusions from previous studies in different regions 
of complex topography (Prömmel et al. 2010; Heikkilä 
et al. 2011; Di Luca et al. 2013). The value addition noted 
in Central Northeast sub-region is speculated to be due 
to better representation of land atmospheric interaction 
in the regional model and needs to be investigated in the 
future.

•	 The finer resolution nested simulations reveal added 
value in regions North West and West Central in terms of 
region averaged seasonal total rainfall. This added value 
is however not noted in the spatial variability of rainfall 
within the region. For seasonal simulations, to obtain 
information on regional monsoon rainfall, the results 

suggest the use of BMJ scheme for Northwest and KF 
for West Central regions.

•	 The results do not identify optimum parameterization 
scheme combinations to provide added value for the 
Peninsular and Northeast sub-regions. The model simu-
lations are not able to capture the observed multiscale 
interactions of topography and monsoon flow in the 
Northeast region. For the Peninsular region it is found 
that the model overestimates the seasonal rainfall dur-
ing all the 3 years. Srinivas et al. (2015) has reported a 
lack of value addition in onset phase monsoon rainfall in 
areas falling over these two sub-regions. The study also 
notes the overestimation of monsoon onset phase rainfall 
over the semi-arid rain shadow region of southeast India, 
which is in line with our findings.

In this study the simulations have been performed for 
three contrasting monsoon years, due to computational con-
straints. The selection of these years could have an impact 
on the results. But since our evaluation has focused on con-
sistent (across years) added value in regional precipitation, 
we feel that the use of three contrasting years is sufficient 
to yield robust results. The difference in spatial resolution 
of the model simulations and observed rainfall data deters 
us from direct comparison of the spatial variability of sub-
regional precipitation. Thus the analysis provides only a 
qualitative idea of the model skill in simulating sub-regional 

Fig. 9   Comparison of rainfall 
error (in mm/day) from the 
different WRF simulations with 
that from ERA forcing data, the 
whiskers show the maximum–
minimum range of errors. a 
1994 (excess year), b 2002 
(deficit year), c 2010 (normal 
year), d mean of 3 years
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spatial variability. We have tested combinations of four 
cumulus and two microphysics schemes in this study. Sim-
ulations using more number of cumulus schemes would be 
useful for additional information on the uncertainty ranges 
of modelled sub-regional precipitation. We have used “per-
fect” boundary reanalysis data to understand the regional 
model added value in sub-regional precipitation. Use of fore-
casts or projections as boundary conditions would bring in 
the biases of the source model into the picture, and would 
need evaluation before direct application of our results.

Acknowledgements  The authors gratefully acknowledge the finan-
cial support provided by the Ministry of Earth Sciences, Government 
of India vide Grant no. MoES/PAMC/H&C/35/2013-PC-II. The first 
and second authors acknowledge the financial support from Department 
of Science and Technology, Government of India, Grant no. DST/CC/
PR/06/2011. The last author acknowledges the financial support from 
Grants US NSF AGS 0847472, AGS-1522494, and CDSE 1250232. 
The precipitation data used here are available from India Meteoro-
logical Department. The forcing reanalysis data are available from the 
website of ECMWF.

References

Betts AK, Miller MJ (1986) A new convective adjustment scheme. Part 
II: single column tests using GATE wave, BOMEX, and arctic 
air-mass data sets. Q J R Meteorol Soc 112:693–709

Bhaskaran B, Ramachandran A, Jones R, Moufouma-Okia W (2012) 
Regional climate model applications on sub-regional scales over 
the Indian monsoon region: the role of domain size on downscal-
ing uncertainty. J Geophys Res Atmos 117:1–12. doi:10.1029/2
012JD017956

Bullock OR, Alapaty K, Herwehe JA, Mallard MS, Otte TL, Gilliam 
RC, Nolte CG (2014) An observation-based investigation of 
nudging in WRF for downscaling surface climate information 
to 12-km grid spacing. J Appl Meteorol Climatol 53:20–33. 
doi:10.1175/JAMC-D-13-030.1

Castro CL, Pielke RA, Leoncini G (2005) Dynamical downscal-
ing: assessment of value retained and added using the regional 
atmopsheric modeling system (RAMS). J Geophys Res D 
Atmos 110:1–21. doi:10.1029/2004JD004721

Castro CL, Pielke RA, Adegoke JO (2007) Investigation of the 
summer climate of the contiguous United States and Mexico 
using the regional atmospheric modeling system (RAMS). 
Part I: model climatology (1950–2002). J Clim 20:3844–3865. 
doi:10.1175/JCLI4211.1

Castro CL, Chang H-I, Dominguez F, Carrillo C, Schemm J-K, Juang 
H-MH (2012) Can a regional climate model improve thae ability 
to forecast the North American Monsoon?. J Clim. doi:10.1175/
JCLI-D-11-00441.1

Choi IJ, Jin EK, Han JY, Kim SY, Kwon Y (2015) Sensitivity of 
diurnal variation in simulated precipitation during East Asian 

summer monsoon to cumulus parameterization schemes. J Geo-
phys Res Atmos 120:11971–11987. doi:10.1002/2015JD023810

Chowdary JS, Chaudhari HS, Gnanaseelan C, Parekh A, Suryachan-
dra Rao A, Sreenivas P, Pokhrel S, Singh P (2014) Summer 
monsoon circulation and precipitation over the tropical Indian 
Ocean during ENSO in the NCEP climate forecast system. Clim 
Dyn 42:1925–1947. doi:10.1007/s00382-013-1826-5

De Haan LL, Kanamitsu M, De Sales F, Sun L (2015) An evaluation 
of the seasonal added value of downscaling over the United 
States using new verification measures. Theor Appl Climatol 
122:47–57. doi:10.1007/s00704-014-1278-9

Dee DP, Uppala SM, Simmons AJ, Berrisford P, Poli P, Kobayashi 
S, Andrae U, Balmaseda MA, Balsamo G, Bauer P, Bechtold 
P, Beljaars ACM, van de Berg L, Bidlot J, Bormann N, Delsol 
C, Dragani R, Fuentes M, Geer AJ, Haimberger L, Healy SB, 
Hersbach H, Holm EV, Isaksen L, Kallberg P, Kohler M, Matri-
cardi M, Mcnally AP, Monge-Sanz BM, Morcrette JJ, Park BK, 
Peubey C, de Rosnay P, Tavolato C, Thepaut JN, Vitart F (2011) 
The ERA-Interim reanalysis: configuration and performance of 
the data assimilation system. Q J R Meteorol Soc 137:553–597. 
doi:10.1002/qj.828

Dhar ON, Nandargi S (2000) A study of floods in the Brahmaputra 
basin in India. Int J Climatol 20:771–781. doi:10.1002/1097-
0088(20000615)20:7<771::AID-JOC518>3.0.CO;2-Z

Di Luca A, de Elía R, Laprise R (2012) Potential for added value 
in precipitation simulated by high-resolution nested regional 
climate models and observations. Clim Dyn 38:1229–1247. 
doi:10.1007/s00382-011-1068-3

Di Luca A, de Elia R, Laprise R (2013) Potential for added value 
in temperature simulated by high-resolution nested RCMs in 
present climate and in the climate change signal. Clim Dyn 
40:443–464. doi:10.1007/s00382-012-1384-2

Dudhia J (1989) Numerical study of convection observed dur-
ing the winter monsoon experiment using a mesoscale 
two-dimensional model. J Atmos Sci 46:3077–3107. 
doi:10.1175/1520-0469(1989)046<3077:NSOCOD>2.0.CO;2

Fersch B, Kunstmann H (2014) Atmospheric and terrestrial 
water budgets: sensitivity and performance of configura-
tions and global driving data for long term continental scale 
WRF simulations. Clim Dyn 42:2367–2396. doi:10.1007/
s00382-013-1915-5

Feser F, Rockel B, von Storch H, Winterfeldt J, Zahn M (2011) 
Regional climate models add value to global model data: a review 
and selected examples. Bull Am Meteorol Soc 92:1181–1192. doi
:10.1175/2011BAMS3061.1

Flaounas E, Bastin S, Janicot S (2011) Regional climate modelling of 
the 2006 West African monsoon: sensitivity to convection and 
planetary boundary layer parameterisation using WRF. Clim Dyn 
36:1083–1105. doi:10.1007/s00382-010-0785-3

Goswami BN (2005) South Asian Monsoon. In: Lau WKM, Wal-
iser DE (eds) Intraseasonal variability in the atmosphere-
ocean climate system. Praxis Springer, Berlin, pp 19–55. 
doi:10.1007/3-540-27250-X_2

Goswami BB, Mukhopadhyay P, Mahanta R, Goswami BN (2010) 
Multiscale interaction with topography and extreme rainfall events 
in the northeast Indian region. J Geophys Res Atmos 115:1–12. 
doi:10.1029/2009JD012275

Grell GA, Devenyi D (2002) A generalized approach to parameterizing 
convection combining ensemble and data assimilation techniques. 
Geophys Res Lett 29:10–13. doi:10.1029/2002GL015311

Halder S, Saha SK, Dirmeyer PA, Chase TN, Goswami BN (2016) 
Investigating the impact of land-use land-cover change on Indian 
summer monsoon daily rainfall and temperature during 1951–
2005 using a regional climate model. Hydrol Earth Syst Sci Dis-
cuss 12:6575–6633. doi:10.5194/hessd-12-6575-2015

Fig. 10   Comparison of daily rainfall time series of WRF simulations 
using the suggested cumulus schemes with the same from ERA and 
IMD for 1994, 2002 and 2010. a1–a3 Central Northeast, b1–b3 Kon-
kan Western Ghat, c1–c3 Northwest, d1–d3 West Central. Compari-
son of ERA and WRF mean bias and root mean square error (RMSE) 
in peak rainfall above 97 percentiles (in mm/day) are shown in a1–a3 
and b1–b3 

◂

https://doi.org/10.1029/2012JD017956
https://doi.org/10.1029/2012JD017956
https://doi.org/10.1175/JAMC-D-13-030.1
https://doi.org/10.1029/2004JD004721
https://doi.org/10.1175/JCLI4211.1
https://doi.org/10.1175/JCLI-D-11-00441.1
https://doi.org/10.1175/JCLI-D-11-00441.1
https://doi.org/10.1002/2015JD023810
https://doi.org/10.1007/s00382-013-1826-5
https://doi.org/10.1007/s00704-014-1278-9
https://doi.org/10.1002/qj.828
https://doi.org/10.1002/1097-0088(20000615)20:7%3C771::AID-JOC518%3E3.0.CO;2-Z
https://doi.org/10.1002/1097-0088(20000615)20:7%3C771::AID-JOC518%3E3.0.CO;2-Z
https://doi.org/10.1007/s00382-011-1068-3
https://doi.org/10.1007/s00382-012-1384-2
https://doi.org/10.1175/1520-0469(1989)046%3C3077:NSOCOD%3E2.0.CO;2
https://doi.org/10.1007/s00382-013-1915-5
https://doi.org/10.1007/s00382-013-1915-5
https://doi.org/10.1175/2011BAMS3061.1
https://doi.org/10.1007/s00382-010-0785-3
https://doi.org/10.1007/3-540-27250-X_2
https://doi.org/10.1029/2009JD012275
https://doi.org/10.1029/2002GL015311
https://doi.org/10.5194/hessd-12-6575-2015


4146	 A. Devanand et al.

1 3

Heikkilä U, Sandvik A, Sorteberg A (2011) Dynamical downscaling 
of ERA-40 in complex terrain using the WRF regional climate 
model. Clim Dyn 37:1551–1564. doi:10.1007/s00382-010-0928-6

Janjić ZI (1994) The step-mountain eta coordinate model: further 
developments of the convection, viscous sublayer and turbulence 
closure schemes. Mon Weather Rev 122:927–945

Kain JS (2004) The Kain–Fr itsch convective param-
eterization: an update. J Appl Meteorol 43:170–181. 
doi:10.1175/1520-0450(2004)043<0170:TKCPAU>2.0.CO;2

Kain JS, Fritsch JM (1993) Convective parameterization for mes-
oscale models: the Kain-Fritsch scheme. In: The representation 
of cumulus convection in numerical models. Meteor Monogr, vol 
24. American Meteorological Society, Boston, pp 165–170

Kanamitsu M, Yoshimura K, Yhang YB, Hong SY (2010) Errors of 
interannual variability and trend in dynamical downscaling of 
reanalysis. J Geophys Res Atmos 115:1–17. doi:10.1029/200
9JD013511

Kim J, Waliser DE, Mattmann CA, Goodale CE, Hart AF, Zimdars 
PA, Crichton DJ, Jones C, Nikulin G, Hewitson B, Jack C, Len-
nard C, Favre A (2014) Evaluation of the CORDEX-Africa multi-
RCM hindcast: systematic model errors. Clim Dyn 42:1189–1202. 
doi:10.1007/s00382-013-1751-7

Klein C, Heinzeller D, Bliefernicht J, Kunstmann H (2015) Vari-
ability of West African monsoon patterns generated by a WRF 
multi-physics ensemble. Clim Dyn 45:2733–2755. doi:10.1007/
s00382-015-2505-5

Koster RD, Dirmeyer PA, Guo Z, Bonan G, Chan E, Cox P, Gordon 
CT, Kanae S, Kowalczyk E, Lawrence D, Liu P, Lu CH, Malyshev 
S, McAvaney B, Mitchell K, Mocko D, Oki T, Oleson K, Pitman 
A, Sud YC, Taylor CM, Verseghy D, Vasic R (2004) Regions of 
strong coupling between soil moisture and precipitation. Science 
305:1138–1140. doi:10.1126/science.1100217

Liang XZ, Li L, Kunkel KE, Ting MF, Wang JXL (2004) 
Regional climate model simulation of US precipitation dur-
ing 1982–2002. Part I: annual cycle. J Clim 17:3510–3529. 
doi:10.1175/1520-0442(2004)017<3510:rcmsou>2.0.co;2

Lin Y-L, Farley RD, Orville HD (1983) Bulk parameterization of the 
snow field in a cloud model. J Clim Appl Meteorol 22:1065–1092. 
doi:10.1175/1520-0450(1983)022<1065:BPOTSF>2.0.CO;2

Liu S, Wang JXL, Liang X-Z, Morris V (2016) A hybrid approach to 
improving the skills of seasonal climate outlook at the regional 
scale. Clim Dyn 46:483–494. doi:10.1007/s00382-015-2594-1

Lo JCF, Yang ZL, Pielke RA (2008) Assessment of three dynamical 
climate downscaling methods using the Weather Research and 
Forecasting (WRF) model. J Geophys Res Atmos 113:1-16. doi:
10.1029/2007JD009216

Lucas-Picher P, Christensen JH, Saeed F, Kumar P, Asharaf S, Ahrens 
B, Wiltshire AJ, Jacob D, Hagemann S (2011) Can Regional Cli-
mate Models Represent the Indian Monsoon? J Hydrometeorol 
12:849–868. doi:10.1175/2011JHM1327.1

Medina S, Houze RA, Kumar A, Niyogi D (2010) Summer monsoon 
convection in the Himalayan region: terrain and land cover effects. 
Q J R Meteorol Soc 136:593–616. doi:10.1002/qj.601

Miguez-Macho G, Stenchikov GL, Robock A (2004) Spectral nudg-
ing to eliminate the effects of domain position and geometry in 
regional climate model simulations. J Geophys Res D Atmos 
109:1–15. doi:10.1029/2003JD004495

Miguez-Macho G, Stenchikov GL, Robock A (2005) Regional cli-
mate simulations over North America: interaction of local pro-
cesses with improved large-scale flow. J Clim 18:1227–1246. 
doi:10.1175/JCLI3369.1

Mlawer EJ, Taubman SJ, Brown PD, Iacono MJ, Clough SA (1997) 
Radiative transfer for inhomogeneous atmospheres: RRTM, a 
validated correlated-k model for the longwave. J Geophys Res 
102:16663–16682. doi:10.1029/97JD00237

Mukhopadhyay P, Taraphdar S, Goswami BN, Krishnakumar K (2010) 
Indian summer monsoon precipitation climatology in a high-reso-
lution regional climate model: impacts of convective parameteri-
zation on systematic biases. Weather Forecast 25:369–387. doi:1
0.1175/2009WAF2222320.1

Niyogi D, Kishtawal C, Tripathi S, Govindaraju RS (2010) Obser-
vational evidence that agricultural intensification and land use 
change may be reducing the Indian summer monsoon rainfall. 
Water Resour Res 46:1–17. doi:10.1029/2008WR007082

Pathak A, Ghosh S, Kumar P (2014) Precipitation recycling in the 
Indian subcontinent during summer monsoon. J Hydrometeorol 
15:2050–2066. doi:10.1175/JHM-D-13-0172.1

Paul S, Ghosh S, Oglesby R, Pathak A, Chandrasekharan A, Ram-
sankaran R (2016) Weakening of Indian summer monsoon rain-
fall due to changes in land use land cover. Nat Publ Gr 6:1–10. 
doi:10.1038/srep32177

Perez JC, Diaz JP, Gonzalez A, Exposito J, Rivera-Lopez F, Taima 
D (2014) Evaluation of WRF parameterizations for dynami-
cal downscaling in the Canary Islands. J Clim 27:5611–5631. 
doi:10.1175/JCLI-D-13-00458.1

Pohl B, Crétat J, Camberlin P (2011) Testing WRF capability in simu-
lating the atmospheric water cycle over Equatorial East Africa. 
Clim Dyn 37:1357–1379. doi:10.1007/s00382-011-1024-2

Prömmel K, Geyer B, Jones JM, Widmann M (2010) Evaluation of the 
skill and added value of a reanalysis-driven regional simulation 
for Alpine temperature. Int J Climatol 30:760–773. doi:10.1002/
joc.1916

Qian Y, Yan H, Berg LK et al (2016) Assessing impacts of PBL and 
surface layer schemes in simulating the surface–atmosphere inter-
actions and precipitation over the tropical ocean using observa-
tions from AMIE/DYNAMO. J Clim 29:8191–8210. doi:10.1175/
JCLI-D-16-0040.1

Racherla PN, Shindell DT, Faluvegi GS (2012) The added value to 
global model projections of climate change by dynamical down-
scaling: a case study over the continental U.S. using the GISS-
ModelE2 and WRF models. J Geophys Res Atmos 117:1–8. doi:
10.1029/2012JD018091

Rajendran K, Sajani S, Jayasankar CB, Kitoh A (2013) How dependent 
is climate change projection of Indian summer monsoon rainfall 
and extreme events on model resolution? Curr Sci 104:1409–1418

Raju A, Parekh A, Chowdary JS, Gnanaseelan C (2015) Assessment of 
the Indian summer monsoon in the WRF regional climate model. 
Clim Dyn 44:3077–3100. doi:10.1007/s00382-014-2295-1

Ratna SB, Ratnam JV, Behera SK, Rautenbach CJ, Ndarana T, Taka-
hashi K, Yamagata T (2014) Performance assessment of three 
convective parameterization schemes in WRF for downscaling 
summer rainfall over South Africa. Clim Dyn 42:2931–2953. 
doi:10.1007/s00382-013-1918-2

Rockel B, Castro CL, Pielke RA, von Storch H, Leoncini G (2008) 
Dynamical downscaling: assessment of model system depend-
ent retained and added variability for two different regional cli-
mate models. J Geophys Res Atmos 113:1–9. doi:10.1029/200
7JD009461

Saeed F, Hagemann S, Jacob D (2009) Impact of irrigation on the 
South Asian summer monsoon. Geophys Res Lett 36:1–7. doi:1
0.1029/2009GL040625

Saha SK, Pokhrel S, Chaudhari HS, Dhakate A, Shewale S, Sabeer-
ali CT, Salunke K, Hazra A, Mahapatra S, Rao AS (2014) 
Improved simulation of Indian summer monsoon in latest NCEP 
climate forecast system free run. Int J Climatol 34:1628–1641. 
doi:10.1002/joc.3791

Siegmund J, Bliefernicht J, Laux P, Kunstmann H (2015) Toward a 
seasonal precipitation prediction system for West Africa: perfor-
mance of CFSv2 and high-resolution dynamical downscaling. J 
Geophys Res Atmos 120:7316–7339. doi:10.1002/2014JD022692

https://doi.org/10.1007/s00382-010-0928-6
https://doi.org/10.1175/1520-0450(2004)043%3C0170:TKCPAU%3E2.0.CO;2
https://doi.org/10.1029/2009JD013511
https://doi.org/10.1029/2009JD013511
https://doi.org/10.1007/s00382-013-1751-7
https://doi.org/10.1007/s00382-015-2505-5
https://doi.org/10.1007/s00382-015-2505-5
https://doi.org/10.1126/science.1100217
https://doi.org/10.1175/1520-0442(2004)017%3C3510:rcmsou%3E2.0.co;2
https://doi.org/10.1175/1520-0450(1983)022%3C1065:BPOTSF%3E2.0.CO;2
https://doi.org/10.1007/s00382-015-2594-1
https://doi.org/10.1029/2007JD009216
https://doi.org/10.1175/2011JHM1327.1
https://doi.org/10.1002/qj.601
https://doi.org/10.1029/2003JD004495
https://doi.org/10.1175/JCLI3369.1
https://doi.org/10.1029/97JD00237
https://doi.org/10.1175/2009WAF2222320.1
https://doi.org/10.1175/2009WAF2222320.1
https://doi.org/10.1029/2008WR007082
https://doi.org/10.1175/JHM-D-13-0172.1
https://doi.org/10.1038/srep32177
https://doi.org/10.1175/JCLI-D-13-00458.1
https://doi.org/10.1007/s00382-011-1024-2
https://doi.org/10.1002/joc.1916
https://doi.org/10.1002/joc.1916
https://doi.org/10.1175/JCLI-D-16-0040.1
https://doi.org/10.1175/JCLI-D-16-0040.1
https://doi.org/10.1029/2012JD018091
https://doi.org/10.1007/s00382-014-2295-1
https://doi.org/10.1007/s00382-013-1918-2
https://doi.org/10.1029/2007JD009461
https://doi.org/10.1029/2007JD009461
https://doi.org/10.1029/2009GL040625
https://doi.org/10.1029/2009GL040625
https://doi.org/10.1002/joc.3791
https://doi.org/10.1002/2014JD022692


4147Multi-ensemble regional simulation of Indian monsoon during contrasting rainfall years:…

1 3

Singh S, Ghosh S, Sahana AS, Vittal H, Karmakar S (2016) Do 
dynamic regional models add value to the global model 
projections of Indian monsoon? Clim Dyn. doi:10.1007/
s00382-016-3147-y

Skamarock W, Klemp JB, Dudhia J, Gill D, Barker D, Duda M, Huang 
X, Wang W, Powers J (2008) A description of the advanced 
research WRF version 3. NCAR Technical Note, NCAR/TN-475 
+ STR. http://www2.mmm.ucar.edu/wrf/users/docs/arw_v3.pdf.  
Accessed 14 Nov 2014

Srinivas CV, Hariprasad D, Bhaskar Rao DV, Anjaneyulu Y, Baskaran 
R, Venkatraman B (2013) Simulation of the Indian summer mon-
soon regional climate using advanced research WRF model. Int J 
Climatol 33:1195–1210. doi:10.1002/joc.3505

Srinivas CV, Hari Prasad D, Bhaskar Rao DV, Baskaran R, Venkatra-
man B (2015) Simulation of the Indian summer monsoon onset-
phase rainfall using a regional model. Ann Geophys 33:1097–
1115. doi:10.5194/angeo-33-1097-2015

von Storch H, Langenberg H, Feser F (2000) A spectral nudging tech-
nique for dynamical downscaling purposes. Mon Weather Rev 
128:3664–3673. doi:10.1175/1520-0493(2000)128<3664:ASN
TFD>2.0.CO;2

Xu J, Small EE (2002) Simulating summertime rainfall variability in 
the North American monsoon region: the influence of convection 
and radiation parameterizations. J Geophys Res Atmos 107:1–17. 
doi:10.1029/2001JD002047

Xue Y, Janjić Z, Dudhia J, Vasic R, De Sales F (2014) A review on 
regional dynamical downscaling in intraseasonal to seasonal simu-
lation/prediction and major factors that affect downscaling ability. 
Atmos Res 147–148:68–85. doi:10.1016/j.atmosres.2014.05.001

Zheng Y, Kumar A, Niyogi D (2015) Impacts of land–atmosphere cou-
pling on regional rainfall and convection. Clim Dyn 44:2383–
2409. doi:10.1007/s00382-014-2442-8

Zheng Y, Alapaty K, Herwehe JA, Del Genio AD, Niyogi D 
(2016) Improving high-resolution weather forecasts using 
the weather research and forecasting (WRF) model with an 
updated Kain–Fritsch scheme. Mon Weather Rev. doi:10.1175/
MWR-D-15-0005.1

Zittis G, Hadjinicolaou P, Lelieveld J (2014) Comparison of WRF 
model physics parameterizations over the MENA-COR-
DEX domain. Am J Clim Change 3:490–511. doi:10.4236/
ajcc.2014.35042

https://doi.org/10.1007/s00382-016-3147-y
https://doi.org/10.1007/s00382-016-3147-y
http://www2.mmm.ucar.edu/wrf/users/docs/arw_v3.pdf
https://doi.org/10.1002/joc.3505
https://doi.org/10.5194/angeo-33-1097-2015
https://doi.org/10.1175/1520-0493(2000)128<3664:ASNTFD>2.0.CO;2
https://doi.org/10.1175/1520-0493(2000)128<3664:ASNTFD>2.0.CO;2
https://doi.org/10.1029/2001JD002047
https://doi.org/10.1016/j.atmosres.2014.05.001
https://doi.org/10.1007/s00382-014-2442-8
https://doi.org/10.1175/MWR-D-15-0005.1
https://doi.org/10.1175/MWR-D-15-0005.1
https://doi.org/10.4236/ajcc.2014.35042
https://doi.org/10.4236/ajcc.2014.35042

	Multi-ensemble regional simulation of Indian monsoon during contrasting rainfall years: role of convective schemes and nested domain
	Abstract 
	1 Introduction
	2 Model configuration and data details
	3 Results and discussions
	3.1 Large scale circulation
	3.2 Precipitation
	3.2.1 Region averaged rainfall errors from simulations at 36 km resolution
	3.2.2 Region averaged rainfall errors from simulations at 12 km resolution
	3.2.3 Spatial variability
	3.2.4 Temporal variability


	4 Summary and conclusion
	Acknowledgements 
	References


