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Abstract We consider a piecewise deterministic Markov decision process, where the
expected exponential utility of total (nonnegative) cost is to be minimized. The cost
rate, transition rate and post-jump distributions are under control. The state space is
Borel, and the transition and cost rates are locally integrable along the drift. Under
natural conditions, we establish the optimality equation, justify the value iteration algo-
rithm, and show the existence of a deterministic stationary optimal policy. Applied
to special cases, the obtained results already significantly improve some existing
results in the literature on finite horizon and infinite horizon discounted risk-sensitive
continuous-time Markov decision processes.
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1 Introduction

Since the pioneering work [16], risk-sensitive discrete-time Markov decision pro-
cesses (DTMDPs) have been studied intensively. Having restricted our attention to
total undiscounted or discounted problems, let us mention e.g., [4,6,7,11,12,17,18],
most of which deal with the exponential utility, as well as in the present paper. As an
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application, an open problem in insurance was recently solved in [1] in the framework
of risk-sensitive DTMDP. There are notable differences between risk-sensitive and
risk-neutral DTMDPs. For instance, in a finite model, i.e., when the state and action
spaces are both finite, there is always a deterministic stationary optimal policy in a dis-
counted risk-neutral DTMDP, but not always in a discounted risk-sensitive DTMDP,
see [17].

One of the first works on risk-sensitive continuous-time Markov decision processes
(CTMDPs) is [21], where only verification theorems were presented. Recently, there
have been reviving interests in this topic; see e.g., [8,14,20,24,25,27]. A finite horizon
total undiscounted risk-sensitive CTMDP was considered in [14,21,24], whose argu-
ments were summarized as follows. Firstly, the optimality equation is shown to admit
a solution out of a small enough class. Secondly, by using the Feynman—Kac formula,
this solution is shown to be the value function, and any Markov policy providing the
minimizer in the optimality equation is optimal. The proofs of [14,24] reveal that the
main technicalities lie in the first step, for which, the state space was assumed to be
denumerable. This assumption is important for the diagonalization argument used in
[24], which is an extension of [ 14] from bounded transition rate to possibly unbounded
transition rate, whose growth is bounded by a Lyapunov function. The latter require-
ment and the boundedness of the cost rate then validate the Feynman—Kac formula
applied in the second step. Wei [24] mentioned that it was unclear how to extend his
argument to an unbounded cost rate, see Sect. 7 therein. Following a similar argument
as described above, a discounted risk-sensitive CTMDP was also considered in [14],
although now the first step becomes, to quote the authors’ words (see p. 658 therein),
“surprisingly far more involved”, for which the state space was further assumed to be
finite, see Remark 3.6 therein. It is a corollary of the present paper that we significantly
weaken the restrictive conditions in [14,24], see Sect. 3 below.

The present paper is concerned with a risk-sensitive piecewise deterministic Markov
decision process (PDMDP), where the expected exponential utility of the total cost
is to be minimized. The state space is a general Borel space, the transition and the
nonnegative cost rates only need be locally integrable along the drift. A PDMDP is
an extension of a CTMDP: now between two consecutive jumps, the process evolves
according to deterministic Markov process. For simplicity and to keep the conditions
as weak as possible, we do not consider the control on the drift. In spite that there
has been a vast literature on PDMDPs; see the well known monographs [9,10] and
the references therein, to the best of our knowledge, risk-sensitive PDMDPs have not
been systematically studied before.

Our main contributions are the following. We establish the optimality equation
satisfied by the value function, justify the value iteration algorithm and show the
existence of a deterministic stationary optimal policy. As an application and corollary,
finite horizon and infinite horizon discounted risk-sensitive CTMDPs are reformulated
as total undiscounted risk-sensitive PDMDPs, and are thus treated in a unified way
and under much weaker conditions than in [14,24]. This is possible because we follow
a different argument. Namely, we directly show that the value function satisfies the
optimality equation, by reducing the total undiscounted risk-sensitive PDMDP to a
risk-sensitive DTMDP. This method, without referring to the Feynman—Kac formula,
was originally developed by Yushkevich [26] for risk-neutral CTMDPs. Later, it was
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employed in [2,3,9,10,13,23] for studies of risk-neutral PDMDPs, and in [27] for
risk-sensitive CTMDPs. In [8], restricted to stationary policies, the discounted risk-
sensitive CTMDP with bounded transition rates was reduced to a DTMDP problem,
using the uniformization technique. The induced DTMDP is less standard (with a
random cost), and was not further investigated there.

The rest of the paper is organized as follows. In Sect. 2 we describe the concerned
optimal control problem. In Sect. 3 we present the main results, the proofs of which are
postponed to Sect. 4. We finish the paper with a conclusion in Sect. 5. Some relevant
facts were collected in the Appendix for ease of reference.

2 Model Description and Problem Statement
2.1 Notations and Conventions

In what follows, B(X) is the Borel o -algebra of the topological space X, I stands for
the indicator function, and §(,(-) is the Dirac measure concentrated on the singleton
{x}, assumed to be measurable. A measure is o-additive and [0, co]-valued. Below,
unless stated otherwise, the term of measurability is always understood in the Borel
sense. Throughout this paper, we adopt the conventions of

0 1
6::0,0~oo:=0,(—)::—i—oo,oo—oo::oo. (1)

If a mapping f defined on X, and {X;} is a partition of X, then when f is piecewise
defined as f(x) = g;(x) for all x € X;, the notation f(x) = Zi I{x € Xi}gi(x)is
used, even if f is not real-valued.

Let S be a nonempty Borel state space, A be a nonempty Borel action space, and g
stand for a signed kernel ¢ (dy|x, a) on B(S) given (x,a) € S x A such that

q(Tslx,a) := q(Ts\{x}lx,a) = 0 @)

for all 'y € B(S). Throughout this article we assume that ¢ (-|x, @) is conservative
and stable, i.e.,

q(Slx’ (1) = 0’ fjx = sup ‘]x(a) < 00, (3)
acA
where g, (a) = —q({x}|x, a). The signed kernel ¢ is often called the transition

rate. Between two consecutive jumps, the state of the process evolves according to a
measurable mapping ¢ from § x [0, 0co) to S, see (5) below. It is assumed that for
eachx € §

¢(x, 1 +5) =d@(x,1),5), V5,1 = 0; ¢(x,0) =x, “)

and r — ¢ (x, 1) is continuous.
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Finally let the cost rate ¢ be a [0, co)-valued measurable function on S x A. For
simplicity, we do not consider the case of different admissible action spaces at different
states.

Condition 2.1 (a) For each bounded measurable function f on S and each x € S,
fS f(y)q(dylx, a) is continuous ina € A.

(b) For each x € S, the (nonnegative) function c(x, a) is lower semicontinuous in
acA.

(c) The action space A is a compact Borel space.

Condition 2.2 For each x € S, [ Gp(x.ds < 00, and [ sup,e, c(@(x,5), a)ds <
oo, for each t € [0, 00).

The integrals in the above condition are well defined: the integrands are universally
measurable in s € [0, c0); see Chaper 7 of [5].
Let us take the sample space 2 by adjoining to the countable product space S x

((0, 00) x S)° the sequences of the form (xq, 01, ..., 0,4, Xn, 00, Xoo, OO0, Xoos - -+ ),
where xg, x1, ..., x, belong to S, 61, ..., 0, belong to (0, 00), and x ¢ S is the
isolated point. We equip €2 with its Borel o -algebra F.

Let fo(w) := 0 =: 6y, and for each n > 0, and each element w :=

(x0, 01, x1,6,...) € Q,let
(@) 1= 11 (®) + Op,
and
too(w) := lim 1, (w).
n—00

Obviously, (#,(w)) are measurable mappings on (€2, F). In what follows, we often
omit the argument w € 2 from the presentation for simplicity. Also, we regard x,, and
0,+1 as the coordinate variables, and note that the pairs {#,, x, } form a marked point
process with the internal history {F;};>0, i.e., the filtration generated by {#,, x,}; see
Chapter 4 of [19] for greater details. The marked point process {z,, x,,} defines the
stochastic process {&;, 7 > 0} on (€2, F) of interest by

G =) Hin <1< typ1dpCin, t = tn) + Hioo < 1}xoo, 120, (5)

n>0

where we accept 0 - x := 0 and 1 - x := x for each x € Sy, and below we denote

Soo 1= S J{xoo}-
A (history-dependent) policy 7z is given by a sequence (7,) such that, for each
n=20,1,2,..., m,(dalxg, 01, ...,x,,s) is a stochastic kernel on A, and for each

w = (x0,01,x1,6h,...) € Q,t >0,
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m(dalw,t) = I{t > te}d4, (da)

)
+ Z Ity <t < thpi}me(dalxo, 01, ..., 00, X0, t — 1), (6)
n=0

where as, ¢ A is some isolated point. A policy m is called Markov if, with slight
abuse of notations, 7 (da|w, s) = nM(da|$S_, s) for some stochastic kernel 7M. A
Markov policy is further called deterministic if the stochastic kernels 7 (da|x, s) =
8 M (x,5)}(da) for some measurable mapping M from S x (0, 00) to A. A policy is
called deterministic stationary if foreachn =0, 1, ..., m,(dalxg, 01, ..., 0n, Xy, t —
In) = 8{f(p(xn,i—1,))}(da) for some measurable mapping f from § to A. We shall
identify such a deterministic stationary policy by the underlying measurable mapping
f.
The class of all policies is denoted by IT. Under a fixed policy 7 = (=), for
each initial distribution y on (S, B(S)), by using the Ionescu-Tulcea theorem, one
can build a probability measure P}’,’ on (2, F) such that P}’f (xo € T') = y(I') for
each I' € B(S), and the conditional distribution of (6,41, x,,41) with the condition on
X0, 01, X1, ..., 0y, x, is given on {w : x,(w) € S} by

PJ (Ony1 € Tty Xng1 € Talxo, 01, X1, .., O, Xp)

X f 5(F2|¢(xnv t)’ a)nn(da|x07 017 AR ] 97’!9 xn, t)dta
A
VI € B((0,00)), I'> € B(S); P) (Op41

= 00, Xp41 = XoolX0, 01, X1, ..., On, Xpn)
= ¢ S0 Ja 90005 @Tn(dalxo,01,....0nxn,9)ds )

and given on {w : x,(®w) = x5} by

P}ir(en—Fl = 00, Xp+1 =XQO|X0,91,X1, "-79111 xn) =1.

Below, when y is a Dirac measure concentrated at x € S, we use the denotation P .
Expectations with respect to P) and P’ are denoted as E7 and EY, respectively.
Roughly speaking, the uncontrolled version of the process evolves as follows: given
the current state, the process evolves deterministically according to the mapping ¢, up
to the next jump, taking place after a random time whose distribution is (nonstation-
ary) exponential, and the dynamics continue in the similar manner. A detailed book
treatment with many examples of this and more general type of processes, allowing
deterministic jumps, can be found in [10].
For each x € S, and policy m = (),

= Vx,m)
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defines the concerned performance measure of the policy = € IT given the initial state
x € S. Here and below, we put c(xx, a) := 0 foreacha € A, and ¢ (x00, 1) = X0
for each t € [0, co). We are interested in the following optimal control problem for
eachx € §:

Minimize over 7 € IT: V(x, 7). (8)

A policy 7r* is called optimal if V(x,7*) = infrcq V(x,m) = V*(x) for each
xesS.

The objective of this paper is to show, under the imposed conditions, the existence of
adeterministic stationary optimal policy, and to establish the corresponding optimality
equation satisfied by the value function V*, together with its value iteration. Evidently,
V*(x) > 1 for each x € §. Under the next condition, it will be seen that for each
x €S, V*(¢(x, s)) is absolutely continuous in s.

Condition 2.3 Foreachx € S, V*(x) < o0.

The above condition is mainly assumed for notational convenience. In fact, the main
optimality results (such as the existence of a deterministic stationary optimal policy)
obtained in this paper can be established without assuming Condition 2.3, at the cost
of some additional notations. In a nutshell, one has to consider the sets S = {x e
S: V*x) < oo} and S\S’ separately, and note that if x € S, then d(x,t) € S for
each t € [0, 00). The reasoning presented under Condition 2.3 can be followed in an
obvious manner. We formulate the corresponding optimality results in Remarks 3.1
and 3.2 below.

3 Main Statements

We first present the main optimality results concerning problem (8) for the PDMDP
model. Their proofs are postponed to the next section.

Theorem 3.1 Suppose Conditions 2.1, 2.2 and 2.3 are satisfied. Then the following
assertions hold.

(a) The value function V* for problem (8) is the minimal [1, 00)-valued solution to
the following optimality equation:
—(V(g(x,1) — V(x))
t
= /0 inf {/S V(»qdyle(x,t),a) — (qpx.)(a@)

acA

—c(p(x,1),a)V(p(x,1))}dr, t €[0,00),x € S.

In particular, V*(¢p (x, t)) is absolutely continuous in t for each x € S.
(b) There exists a deterministic stationary optimal policy f, which can be taken as
any measurable mapping from S to A such that
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inf {/S VE(Gdylx, a) — (gx(a) — c(x, a))V*(X))}
= /S VEMGylx, f(x) = (g (f () — c(x, f))NVF (X)), Vx €S.

Remark 3.1 By inspecting its proof, one can see the following version of Theorem 3.1
holds without assuming Condition 2.3. Suppose Conditions 2.1 and 2.2 are satisfied.
Then the following assertions hold.

(a) The value function V* for problem (8) is the minimal [1, oo]-valued solution to
the following optimality equation:

— (V1) = V(x)
t
_ / int { / V)ddyId(x 1), a) — (@oce. (@)
0 aceA s

—c(p(x,1),a)V(p(x, r))}dr, tel0,00), xe€ S’;
V(x) <oo, x€8; V(x)=o0, xeS8\S.

In particular, V*(¢ (x, t)) is absolutely continuous in ¢ for each x € S.
(b) There exists a deterministic stationary optimal policy f, which can be taken as
any measurable mapping from S to A such that

inf { /S V()3 (dylx, @) — (gs (@) — c(x. a))V*(x))}
_ fs VA @)ddyIx, F6)) = (@e(f() = cCx, FEONVEE), Vx € 8.

Next, we present the value iteration algorithm for the value function V*.

Theorem 3.2 Suppose Conditions 2.1, 2.2 and 2.3 are satisfied. Let VO (x):= 1 for
each x € S. For each n > 0, let VY be the minimal [1, 00)-valued measurable
solution to

— (V@ (x, 1)) — VO (x))

t
_ /0 inf { /S VO ()G (dylp (. 7). @) — (@0 (@)

acA

—c(p(x, 1), )V (p(x, r))}dt, te€[0,00), x€S, 9)

suchthat VD (¢ (x, 1)) is absolutely continuous int foreachx € S.(Foreachn > 0,
such a solution always exists.) Furthermore, {V ™} is a monontone nondecreasing
sequence of measurable functions on S such that for each x € S, V™ (x) 4+ V*(x) as
n 1 oo.
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Remark 3.2 Similar to Remark 3.1, we have the following version of Theorem
3.2 without assuming Condition 2.3. Suppose Conditions 2.1, 2.2 are satisfied. Let
VO (x):= 1foreachx € S and VO(x)=o0ifx € S\S‘. Foreachn > 0, let V" +D
be the minimal [1, oo]-valued measurable solution to

— (VD (p(x, 1)) — VD (x))

t
ZAiM{ﬁvwmﬂ@WWﬂﬂ%%%mﬂ@

acA
—c(d)(x,t),a))V(”+l)(¢>(x,t))}dr, t€[0,00), xe€8,

vetrDix) <oco, xe 8, VOD(x) =00, xe S\S.

Here V("“)(d) (x, 1)) is absolutely continuous in ¢ for each x € S. (For each n > 0,
such a solution always exists.) Furthermore, {V} is a monontone nondecreasing
sequence of measurable functions on S such that for each x € S, V) (x) 4+ V*(x) as
n 1 oo.

We can apply our theorems to a special case of a CTMDP. That is, ¢ (x,t) = x
for each x € §. The following «-discounted risk-sensitive CTMDP problem was
considered in [14]:

Minimize over & € IT: ET [efooC e fa C(é””)ﬂd“lw")dt] ,xeSs. (10)

Here o« > 0 is a fixed constant. In fact, Ghosh and Saha [14] were restricted
to Markov policies, bounded transition and cost rates, i.e., sup,.sg, < oo, and
SUP,cs.4ea C€(X, a) < 00, and a finite state space S. These restrictions, e.g., the finite-
ness of S, were needed for their investigations, see e.g., [14, Remark 3.6]. Under
the compactness-continuity condition (Condition 2.1), it was shown in [14] that there
exists an optimal Markov policy for the discounted risk-sensitive CTMDP, and estab-
lished the optimality equation. By using the theorems presented earlier in this section,
we can obtain these optimality results for problem (10) in a much more general setup:
the state space S is Borel, there is no boundedness requirement on the transition rate
with respect to the state x € S, and the optimality is over the class of history-dependent
policies. Furthermore, we let the CTMDP model be nonhomogeneous, i.e., the transi-
tionrate g (dy|t, x, a) now is a signed kernel on B(S) from (¢, x, a) € [0, 00) x S x A,
satisfying the corresponding version of (3); the notations g is kept as before, see (2),
with the extra argument ¢ in addition to x. Similarly, the nonnegative cost rate c is
allowed to be a measurable function on [0, 00) X S x A.

Corollary 1 Consider the a-discounted risk-sensitive (nonhomogeneous) CTMDP
problem (10) with c(&:, a) being replaced by c(t, &, a). Suppose

sup {G¢ )} <00, Vx €S, sup c(t,x,a) < oo,
t€[0,00) t€[0,00),x€S,aeA
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and the corresponding version of Condition 2.1, where x is replaced by (t, x), is
satisfied by the nonhomogeneous CTMDP model. Then the following assertions hold.

(a) There exists some [1, 00)-valued measurable solution on [0, 00) x S to

—(V(t,x) = V(0,x))
t
:/ inf {/ V(u, y)gdylu,x,a) + (e “c(u, x,a)
0 S

acA

—qux @)V, x)}du, x €S, t €0, 00),

so that V (t, x) is absolutely continuous in t for each x € S.

(b) Let L be the minimal [1, o0)-valued measurable solution on [0, 00) x S to the
above equation. Then the value function say L* to the a-discounted risk-sensitive
CTMDP problem (10) (with c(&, a) being replaced by c(t, &, a)) is given by
L*(x) = L(0, x) for each x € S.

(c) There exists an optimal deterministic Markov policy f for the a-discounted risk-
sensitive CTMDP problem (10) (with c(&;, a) being replaced by c(t, &, a)). One
can take f as any measurable mapping from [0, 00) x S to A such that

;Ielg {/; L(M, y)q(dyluv xv a) + (eiauc(uv X, a) - Q(u,x)(a))L(uv -x)}

=/SL(u,y)c;(dyw,x,f(u,x»+(e—““c<u,x,f<u,x))
—qux)(fu, x)))L(u, x)

for eachu € [0, 00) and x € §S.

Proof We prove this by reformulating the nonhomogeneous version of the o-
discounted risk-sensitive (nonhomogeneous) CTMDP problem (10) in the form of
problem (8) for a PDMDP, which we introduce as follows. We use the notation “hat”
to distinguish this model from the original (nonhomogeneous) CTMDP model.

e The state space is S =10, 00) x S. .
e The action space is the same as in the CTMDP: A = A.
e the transition rate §(ds x dy|(z, x), a) is defined by

G(ds x dy|(t, x), a) == q(ds x dy|(t, x), a) — I{(t, x) € ds x dy}q.(a),
where
c;(ds x dy|(t, x),a) := I{t € ds}q(dylt, x, a),

for each (¢, x) € S aqda € A.
e The driftis given by ¢ ((¢, x), s) := (¢t +s, x) foreachx € Sand ¢, s > 0. Clearly
it satisfies the corresponding version of (4).
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e The cost rate is given by

e, x),a) =e ¥

c(t,x,a), Vtel0,x), xe€8, acA.

Now the marked point process {f,, X,} and controlled process & in this PDMDP
model is connected to those in the original (nonhomogeneous) CTMDP model, namely
(ty, x,) and &, viaf,, = t, and £, = (t,,, x,), and é, = (¢, &). For example, under
a fixed strategy 7 and initial distribution 9 in this PDMDP model, the version of the
first equation in (7) now reads on {w : x,(w) € S}

N

PZ(On+1 € T'1, Sny1 € T2 x T'3R0, 01, X1, ..., On, £n)

— / eff(; fA q(rn+s,xn)(a)ﬁn(da|)e0séls~~'xénx)en>s)d5
I

x/ H{t + 1, € T2)}G (T3t + 1, xn, @)Fn(dalRo, 01, . .., O, %, 1)1,
A
VI eB(0,00)), IzeB(0,00)), TIszeB(S).

Clearly, Conditions 2.1, 2.2 and 2.3 are satisfied by this PDMDP model. It remains
to apply Theorem 3.1. O

The condition in the previous corollary is much weaker than in [14], and can be
further weakened; one only needs the reformulated PDMDP to satisfy Conditions
2.1, 2.2 and 2.3. Moreover, the boundedness of the cost rate ¢ was assumed in the
previous corollary only to ensure Condition 2.3 to be satisfied. It can be relaxed if one
formulates the previous corollary using the statements in Remarks 3.1 and 3.2.

One can also consider the risk-sensitive nonhomogeneous CTMDP problem on the
finite horizon [0, 7] with T > 0 being a fixed constant:

Minimize over 7 € I1: E7 [efOT e fa C(If"“)”(dal“”t>d’+g(§T)] ,x €S,

where g is a [0, co)-valued measurable function; g(x) represents the terminal cost
incurred when £7 = x € S. Let us put g(xo) := 0. Here « is a fixed nonnegative
finite constant. A simpler version of this problem was considered in [24] with o = 0
and a bounded cost rate, where additional restrictions were put on the growth of the
transition rate. We can reformulate this problem into the PDMDP problem (8) just as
in the above. The only difference is that now we put g x)(a) = 0 for each x € S and
t > T, and introduce the following cost rate foreach x € S, > 0anda € A :

e Ye(t,x,a), ift<T;

c((t, x), a) = {e_(l_T)g(X) ift > T.

4 Proof of the Main Statements

For the rest of this paper, it is convenient to introduce the following notations. Let
P(A) be the space of probability measures on B(A), endowed with the standard weak
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topology. For each u € P(A),

g (@) = /Aqx(a)u(daL qdylx, i) :=/Aé(dy|x,a)u(da), c(x, u)

= / c(x,a)u(da).
A

Let R denote the set of (Borel) measurable mappings p;(da) from t € (0, 00) —
P(A). Here, we do not distinguish two measurable mappings in ¢ € (0, 00), which
coincide almost everywhere with respect to the Lebesgue measure. Let us equip R
with the Young topology, which is the weakest topology with respect to which the
function p € R — [ [, f(t, a)p;(da)dt is continuous for each strongly integrable
Carathéodory function f on (0, co) x A . Here a real-valued measurable function f
on (0, 0c0) x A is called a strongly integrable Carathéodory function if for each fixed
t € (0,00), f(t,a)iscontinuousina € A, and foreach fixeda € A, sup,.4 | f (¢, a)]
is integrable in ¢, i.e., fooo Sup,cq | f(t, a)|ldt < oo. Itis known that if A is a compact
Borel space, then so is R; see Chapter 4 of [10].

Lemma 4.1 Suppose Conditions 2.1 and 2.2 are satisfied. Then the following asser-
tions hold.

(a) The value function V* is the minimal [1, co]-valued measurable solution to

VE(x)
o0 T
= inf {/0 e~ Jo ) () =€ (@ (x,9), p))ds (/S VE(»0)Gdylg(x, 1), Pz)) dt

pPER
4o JoT dsn (P)ds o5 c<¢(x,s),ps)ds} . Vxes.

(b) The mapping

pER— W(x,p)
o0 T
= / e_(/o (G4 (x,5)(0s)—c(P(x,5),p5))ds (/ V*(y)q*(dyw)(x’ 1), Pr)) dt
0 S

e S0 ape)(0)ds o f5 c(§(x.5). ps)ds

is lower semicontinuous for each x € S.

Proof One can legitimately consider the following DTMDP (discrete-time Markov
decision process): according to [9, Lemma 2.29], all the involved mappings are mea-
surable.

e The state space is X := ((0, 00) x S) [J{(c0, x0)}. Whenever the topology is
concerned, (00, Xo0) is regarded as an isolated point in X.
e The action space is A := R.
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e The transition kernel p on B(X) from X x A, c.f. (7), is given for each p € A by

p(Ty x T2|(8, x), p) := f e o 90en COBG T 1 (x, 1), pr)dt,
I

VI eB(S), I'ye B((0,)), xS, 6e(0,00),
P00, xa)} (0, x), p) := ¢~ o 4o @ g e s g e (0,00);
P00, x00)}] (00, Xo0), p) = 1.

e The cost function / is a [0, co]-valued measurable function on X x A x X given
by

1@, x), p, (t, )
= / I{s < t}c(p(x,s), ps)ds, YV ((0,x), p,(1,y) e X x A xX.
0

The relevant facts and statements for the DTMDP are included in the Appendix.

One can show that under Conditions 2.1 and 2.2, for each (0, x) € X,a € A —
fx f(2)p(dz|(0, x), a) is continuous for each bounded measurable function f on X;
foreach (0, x) € Xand (r,y) € X,a € A — [((0, x), p, (7, y)) is lower semicontin-
uous, and A is a compact Borel space. Hence, Condition A.1 for the DTMDP model
{X, A, p, [} is satisfied.

The controlled process in the above DTMDP model {X, A, p, [} is denoted by
{Yp,n=0,1,...}, where ¥;, = (®,, X;), and the controlling process is denoted by
{A,,n =0,1,...}. Forn > 1, ®, and X,, correspond to the nth sojourn time and
the post-jump state in the PDMDP, ® is fictitious, and X is the initial state in the
PDMDP. Let ¥ be the class of all strategies for the DTMDP model {X, A, p, [}, and
Z%  be the class of deterministic Markov strategies in the form o = (¢,) where
vo((0, x)) does not depend on 0 € (0, oo) for each x € S. We preserve the term of
policy for the PDMDP and the term of strategy for the DTMDP.

According to Proposition A.1, the function

(©,%) € X > V((6, %)) i= inf By [eXrmolTntn i |
o€ ’

is the minimal [1, co]-valued measurable solution to the optimality equation
V*((6, x))

0 T
— inf {/ e—fo (G¢(x,5)(ps)—c(P(x,5),p5))ds </ V*((‘[, WG (dylg(x, 1), Pr)) dt
pPER 0 S

4o I8 ot (o) i e (x.) s )ds }

for each x € S and 6 € (0, 00); this is just (20). Furthermore, by Proposition A.1,
there exists a deterministic stationary strategy o * for the DTMDP such that o*((6, x))
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attains the above infimum for each x € S and 6 € (0, 00), and any such strategy o*
verifies

E((,;x) [eZZ‘;ol(Yn,An,Ym)] _ 1“2 E., [ez,‘f:ol(Y,l,An,YnH)] Y 0.1) € X.
s o€ ’

Letf € (0, 00) be arbitrarily fixed. The function V*((0, x)) being measurable in
@,x) € X, itAfollows that x € § — V*((6, x)) is measurable. The strategy o™ and
the constant 6 induce a deterministic Markov strategy o™* = (¢,) € Z% > Where

wo((0, x)) =: o*((é,x))foreach@ € (0,00), x € §,and ¢, ((0, x)) := o ((0, x)) for
eachn > 1,60 € (0, 00), x € S.(The control on the isolated point (0, x,) is irrelevant
and we do not specify the definition of the strategy on that point.) This strategy can
be identified with a policy 7* in the PDMDP, c.f. (6). On the other hand, each policy
m = (7,) can be identified with a deterministic strategy in this DTMDP. Thus,
V() = VH(6.) = E | [eZZiol<YmAmY~+l>] =E;" [eZT:oMYmAﬂwv]

=V, 7% > V*x)

for each x € S. Consequently, the policy 7 * is optimal, V*(x) = V*((#, x)) for each
x € Sand @ € (0, 0o0); recall that 6 was arbitrarily fixed. The statement of this lemma
now follows. O

The policy 7 * in the proof of the previous lemma is actually optimal for problem (8).
However, it is not necessarily a deterministic nor stationary policy. Also the reduction
of the risk-sensitive PDMDP problem (8) to a risk-sensitive problem for the DTMDP
model {X, A, p,[} as seen in the proof of the above theorem will be used without
special reference in what follows.

Lemma 4.2 Suppose Conditions 2.1, 2.2 and 2.3 are satisfied. For each x € S and
pER,

! T
re10.00) > [ el @n s [y 5)Gayip . . polde
0 N
1 e~ J0 @) (0)=c@ (.50 % (4 (1))

is monotone nondecreasing int € [0, 00).

Proof Let0 < t; < tp < 0o be arbitrarily fixed. We need show

%) .
/ e_fo (qd:(x.s)(Ps)—C(¢(X,S),Ps))ds/ V*(y)o}(dquﬁ(x, 7), pr)dt
0 S

1o J0 @005 ()= (@ (x.5).ps))ds V¥(@(x, 12))

11 .
> / e~ Jo @9 (pe)=c(@ (x.5). p)ds / VE(1)§(dyl (x, 7), pr)de
0 S

t o 0 @peen () —c@ .90 Yt (g (1), o
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It is without loss of generality to assume

1% .
/ ol (qw.x)(m)—c(qs(x,s),pmds/ VE0)i(dyle(x, ), pr)dT < 0.
0 S

Then all the four terms in (11) are nonnegative and finite, and (11) is equivalent to

%) .
/ e*fo (%(x,s)(P.r)*c(¢>(xs5),ﬂx))dS/ V*(y)§(dyle (x, T), pr)dT
0 S

+ o I o ()= @0 (4 (4 1))

n -
_/ e—fo (qd>(x,s)(Ps)—C(¢(x,s),ps))dS/ V() (dylg(x, T), pr)dT
0 S

— o ot ot () e x.9)00)s Y (1))
n T q
:/ e Jo (q¢(x,s)(ﬂx)—c(¢("’s)’p’))ds/SV*()’)q(dy|¢(x’ ©), po)dr
n

+e_f(;l (G (x,5)(ps)—c(P(x,5),05))ds (e—/;tlz(q¢(x,.v)(ps)—C((ﬁ(x,S),P.i))dS V*((P(X, t2))
— V(@)
n—1 .
— {/ e~ Jo @ rosty) (s =D (x,5411), 54, ))ds
0
< [ Vi@t n + o prode
S

) .
_i_e*ftl (%(x.s)(ﬂs)70(¢(x,5),ps))ds V*(d)(x, IZ)) _ V*(¢(x, tl))}

% o= Jo @) (0)—c(@(x.5),p5))ds

> 0, 12)

which is verified as follows. Let § > 0 be arbitrarily fixed. By Lemma 4.1, there exists
some ¥ € R such that

V¥p(x,1n))+3
o0
= / / V()@ (dy|p(x, 1 + 1), Br)e™ Jo @) (9)=c(@ (e t2+s).00)ds
o Js

F e 0 4o (B)ds o [57 c(@(x,12+9),D)ds

(Recall p(x, 12 + 1) = ¢p(¢p(x, 12), t) for each t > 0.) Consider v € R defined by

5o L Pn+s ifs <th—1;
s =1 ~ .
Vs—(p—1y) ifs >0 —1.
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Then routine calculations lead to

V¥g(x,11)
- / T Iy @40 ) —c(@ et +5).59))ds
0

X (/S VE(0)qdylg(x, 1 + 1), f)z)> dt

o0 . - -

+/ o I gy 1) B =@ (e t1+5).5))ds (/S V*(y)é(dyl(p(x’tﬁ,)’ﬁr)) dr
n—1

e S0 T gy 1) =@t +9),50)ds ;= Sy Qo v TS J7 @ ati+s),To)ds

-1
_ [ o S @ty 4 (P~ (21145 Py s
0

x fs VEDE(dyIe(x. 1y + T, py4)dT

4o 0 oty ) (s )= (@ (11 +5). o5 s
oo T N A

X{/ eff() (‘1¢(x,12+x)(Vs)*C(¢(Xs12+s)svs))ds/ V*(y)é(dyld)(x,lz+r),f)r)dt
0 S

4o I @00+ 95)ds [ (@ (. 12-+5),Dy)ds }

- / B I @40 (P ) —e@ (01 4). s s
0
X/SV*(y)é(dylcb(x,n + 1), pry+1)dt

+e—f(;27tl (qc#(x,tl +.v)(Ps+t1)—C((P(xafl“‘s)’/)sﬂl))ds(v*(¢(x, t2)) + 3).

Since § > 0 was arbitrarily fixed, now it follows that the term in the parenthesis in
(12) is nonnegative, and thus inequality (12) is verified. O

Lemma 4.3 Suppose Conditions 2.1, 2.2 and 2.3 are satisfied. For each x € S, there
is some p* € R such that

V*(x)

t s
inf {/ e‘fé(%(w)(Pv)‘f(‘l’("’“)*pv”d“/ V(g (dylg(x,s), ps)ds
PeR LJo s

4 e Jo@oten) () =@ (.5). P ¥ (. ,))}
t ;
:/ e*fé(q¢<x,u)<pZ‘>*C<¢<x’U>’ﬂff))d“/V*(y)t}(dquﬁ(x’s),/’f)ds
0 S
+ e J0WGon PH=c@ @D P i (4 (1)), V £ > 0. (13)

Proof Letx € S befixed, and let p* € R be such that V*(x) = W(x, p*), see Lemma
4.1. Suppose ¢ € [0, 0o) is arbitrarily fixed. Consider o € R defined by p; = o/,
for each s > 0. Then
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? S * *
V() = / e~ Jo o (W) =c(@(x.0).p )y / VEG@ylp(x.s), pf)ds
0 S
1o J0@pes) (0D —c(@ (x.5).p7))ds
o0 T - -
> {/ e~ Jo (q¢(x,t+x)(Px)—C(di(X,S-i-t),Px))dS/ V)G (dy|p(x, T + 1), pr)dT
0 S

Te Jo Gotas) (B)ds y= [ e (x.1+5). ps)ds }

! s * *
> [ e Bt [ veogayio.s). pds
0 S

+ e~ oot (PD=c@ (9. 00)ds yx (g (1)

recall (4). On the other hand, by Lemma 4.2,

t S
V*(x) < inf { / e Jo @pen (P)=c@(x.0), pu))dv / V*(0)adylg(x, s), ps)ds
peR { Jo S

+e 6 @) ()= (@ (x,5), p5))ds V¥ (x,1)) }

The statement of this lemma is thus proved. O

Lemma 4.4 Suppose Conditions 2.1, 2.2 and 2.3 are satisfied. Then for each x € S,
t €[0,00) — V*(¢(x, 1)) is absolutely continuous.

Proof This immediately follows from Lemma 4.3. O

Proof of Theorem 3.1 (a) Under Conditions 2.1, 2.2 and 2.3, by Lemma 4.4, for each
x € 8, letr € [0,00) = U*(x,t) be an integrable real-valued function such that
U*(x, t) coincides with the derivative of t € [0, 00) — V(¢ (x, t)) almost every-
where. Let x € S and ¢ € [0, o0) be fixed, and let p* € R be from Lemma 4.3.

By Lemmas 4.3 and 4.4,

T 5 * . * ~
f e~ Jo o bD)=e (P / VI3 @dylp(x.s). pY)ds
0 N

and

e 1o @ox.0) (PF)—c (@ (x,5),05))ds V(e (x, 1))

are absolutely continuous in 7 and are finite for each 7 € [0, 00). Since ¢ (x, 0) = x,
see (4),

t * *
e~ Jo (@ x.5) (0)—c(p(x,5), p3))ds V(@ (x, 1) — V¥(x)
! T * . . * .
— / effo (G (x,5) (05)—c(P(x,5),p5))ds {U*(x, 7) — (q¢(x,r)(pﬁ)
0

—c(p(x, 1), V(B (x, 7))} dr.
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Now by Lemma 4.3,

! S * . *
0= / effo (q¢<x,v>(pv)*c(¢(x,v),pv))dv/ V() (dylp(x,s), p;k)ds
0 S

't * *
+ e_fo (Gg(x,5) (05)—c(P(x,5),05))ds V*((ﬁ (x,1)) — V*(x)

*

t . )
= /0 e o <‘f¢<X’v><”v>“‘f’("*“)’pv”d“{ /S VE0aylg(x. o). p) + U (x. 1)
— (qpe.0)(PF) — c(Pp(x, 1), PPV (P (x, f))}dr
> /t e—fO’(qw,v)(pﬁ)—c(mx,v),p:))du{U*(X7 )
0
+ inf {/ V¥qdylp(x, 1), a) — (qp(x,r)(@)
acA s
—c(p(x, T),a))V*(¢(x,f))}}df
_ /t e—fO’(qw,v)(p:>—c(¢(x,v),pzt>)dv{U*(x, -
0

+/SV*(y)é(dylcb(x,r),f(cb(x,r)))

—(qpx, ) (f(@(x, 1)) — c(@(x, 7)), f(P(x, NNV (P(x, f))}dt, (14)

where f is a measurable mapping from S to A such that

inf {/S VE(»§dylx, a) — (gx(a) — C(x,a))V*(x)}

= /s VEGdylx, f(x) — (gx(@(x)) — c(x, f)))V(x)

for each x € §; the existence of such a mapping is according to a well known mea-
surable selection theorem, c.f. Proposition D.5 of [15].

Note that e~ /o @o.0) () =@ @.v).p0)dv jg hounded and separated from zero in t €
[0, t] for each p € R; recall Condition 2.2. So

/1 e*for (‘1¢<x,v>(/>i§)C(¢(x,v),p:))dv{U*(x’ )
0
— G, (f(@(x, 1)) — c(@(x, T), f(Px, )V ((x, ‘L’))}d‘r
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is finite. If

t
fo /SV*(y)li(dqub(x,f),f(¢(x,f)))df = 00,

then

t
fo e <q¢<«fvv><0if>—c<¢<"’”%f’f”d“{U*(x,r>+ /S V*()ddylg(x, T), f((x, 1))
— o) (F@(x, D) — (P (x, T), FPGx, TNV (P (x, r))}dr = o0,

which is against (14). Therefore,

t
/0 fs VA 0§ dyIe(x, 1), F@(x, )T < 0o,

Then

v
/ e—fof(q¢(x,s)(f(¢(x,S)))—C(¢(x,3),f(¢(x,5))))d5
0

X/SV*(y)ci(dy|¢>(x,t), f@(x,1))dr
+e 10 @ x,9) (f @ (x,)))—c(@(x,5), [ ($(x,5))))ds V(¢ (x, v))

is absolutely continuous on [0, ¢]. After legitimately differentiating the above expres-
sion with respect to v, and applying Lemma 4.2, we see

U*(x,v)+/SV*(y)67(dy|¢(x,v),f(¢(x, v)))
= (Gpx,0) (f(P(x, ) — c(P(x, ), f(@(x, V)NV (P(x,v)) = 0

for almost all v € [0, ¢]. This and (14) imply
U*(x, r)+32£{/SV*(y)é(dyW(x,r),a)—(q¢<x,r>(a)
—c(p(x, 1), @) V*(p(x, f))} =0

almost everywhere in T € [0, t]. Remember, ¢ € [0, 0o) was arbitrarily fixed. The first
part of (a) is thus verified, and we postpone the justification of the second part of (a)

after the proof of part (b).
(b) We use the same notation as in the above. Note that
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lim [effé(q¢(x.;)(f(¢(x,S)))fC(¢(x,S),f(¢(x,s))))ds]

—>00

> o o7 G0 (S @S o [7° (@ (x.5).f @ (x.5)))ds (15)

Indeed, if either [~ gg(x,s) (f (@ (x, ))ds or [~ c(p(x, ), f(P(x,s))))ds is finite,
then in the above inequality, the equality takes place; and if both fooo 4 (x.s)

(f(¢d(x,s)))ds and fooo c(p(x,s), f(p(x,s))))ds are infinite, then the right hand
side of the inequality is zero according to (1).
In the proof of part (a), it was observed that

[ A
/ e—fd (qd,()(,v)(f(¢(x,v)))—c(¢(x,v),f(¢(x,v))))dv/ V*(y)é(dqu&(x, ), f(p(x,5))ds
0 S

and

e~ fot(qqs(x,s)(f(¢(x,s)))—c(¢(x,s),f(¢(x,S))))dS V* (¢ (x, 1))

are absolutely continuous in ¢ and are thus finite for each ¢ € [0, 00). As in the proof
of part (a), similar calculations to those in (14) imply that for each ¢ € [0, 00),

t S
/ e_fo (qd,(x‘v)(f(¢(x,v)))—c(¢(x,v),f(¢(x,v))))dv/ V*(y)é(dylcb(x, ), f(p(x,5))ds
0 S

't . .
+ e Jo o F @M —c@0). FGEMs * (g (x| 1)) — V*(x)

t
:/ e—fJ(t1¢(x,u)(f(¢(x,U)))—C(¢(x,U),f(¢(x,v))))dv{U*(x’.L-)
0

4 fs VA 0)ddyIe (. 1), F@ (., )))

— (e, (f(P(x, 1)) — c(Pp(x, ), fF(@x, NNV (9 (x, f))}df =0,

where the last equality is by what was established in part (a). Therefore, for each
t €10, 00),

4 s
V*(x)_f o= S @) (F (@ ,00) =@ (x,0), £ ($ (x,0))dv
0

< /S VA0l (x, 8), £ (x. s))ds

= o 0o T @ —e@x.5) F @@ y* (4 (5 1))
> o 0 @ps) (@8 = (x.5). [ (@ (x.5))ds

@ Springer



704 Appl Math Optim (2020) 81:685-710

where the inequality holds because V*(x) > 1 foreach x € S. Taking lim,_, ., on the
both sides of the previous equality yields:

00 s
V*(x) — f e~ Jo o) (f (@(r.v)))—c(@(x.v), £ (p(x,v))dv
0

< / VA G dyIo(x, 5), £ (x, $))ds
S
> e~ foao 11¢(x,,r)(f(¢(X,S)))dSefOOO c(@p(x,5), f(P(x,5))))ds

with the inequality following from (15). Hence

V*(x) > /OO e*f(f(q¢(x,v)(f(¢(x,v)))fc(¢(x,v),f(q)(x,v))))dv
0

< fs VE 0§ dyIe(x. 5), £ (x $))ds

e I B (FONs o 57 OGS (x| FX) > v (x),

Here it is clear that s € [0, 00) — f(¢(x, s)) can be identified as an element of R,
denoted as f*. In fact, £ = § (f(¢(x,5))) Toreach s € [0, 00), whereas x € § — fre
‘R is measurable. This measurable mapping x € § — f * € R defines a deterministic
stationary optimal strategy for the risk-sensitive DTMDP problem (20) by Proposition
A.1. It is clear that the measurable mapping x € § — f(x) € A defines an optimal
deterministic stationary policy for the PDMDP problem (8).

Finally, we show the remaining part of (a). Let H* be a measurable [1, co)-valued
function on S such that

— (B (x.0) — H(x)
- /O inf { / H* 0yl (v, ), @) — (Goe.0)(@)
—c(qb(x,r),a))H*(tb(x,t))}dr, tel0,00), xe€8.
There exists a measurable mapping k from S to A such that
inf { /S H*(»)d(dylx, @) — (ge(@) — e(x, a))H*(x)}

= /SH*(y)é(dylx,h(X)) = (gx(h(x)) — c(x, h()))H"(x), Yx € S;

c.f., Proposition D.5 of [15]. It follows that fos fS H*(y)q(dy|p(x, t), h(¢p(x, T)))dT
is absolutely continuous in s € [0, ¢] for each t > 0. As in the proof of part (b),

t S
[ e_fO(q‘f’("v")(h(‘P(x’”)))_C(‘P(X’“)’h("’(x’”))))dv/H*(y)(j(dy|¢(x,s),h(qb(x,s)))ds
0 S
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+ eifé(q¢(x,x>(h(¢>(x,s)))fc(q&(x,x)‘h(gb(x,s))))ds H*(¢ (x,1))
—H*(x)=0, Vtel0,00),

and by passing to the lower limit as t — oo,
o0 s
H*(x) > f o= I3 @) (H($ (2.0 —c( (x,0),h (@ (x,v))dv
0

« /S H* (0 (dyle (x. 5). h(g (x. s)))ds

te” 10" 4p e,y (@ (e.9)))ds , [5 ¢ (x,9).h(¢(x.5)))ds

oo T
> inf {/O e~ o o) (0)—c(§ (x.5).p))ds (/ H*(y)c](dylcb(x,f),pr)) dt
S

pER

+e Jo qsen(0)ds o f5 C(¢(J‘*S)~Ps)df}, Vxes. (16)
It remains to refer to Proposition A.1 for that H*(x) > V*(x) for each x € S. O
Proof of Theorem 3.2 Let V(;"(x) := 1 for each x € S. For each n > 0, one can

legitimately define

Vn*+1(x)
o T
= inf {/ e Jo o) (Pe) —c(@(x.5). ps)ds (/ V,f(y)é(dy|¢(x,t),pf)> dt
reR | Jo S
e Jo s P)ds o[y C(¢(x’s)’p5)ds}’ VxeS. (17)

Recall that the DTMDP model {X, A, p, [} satisfies Condition A.1, as noted in the
proof of Lemma 4.1. Then by Proposition A.1, {V,} is a monotone nondecreasing
sequence of [1, co)-valued measurable functions on S such that V*(x) 1 V*(x) as
n 1 oo, foreachx € §S.

Let n > 0 be fixed. As in Lemma 4.3, for each x € S, there is some p* € R such
that

t s
Vn*+1(x) = 1272{/ e_fd(ﬂId)(x,v)(Pv)—C(¢(X,U)’Pu))dU/ V,f(y)c}(dy|¢>(x,s),ps)ds
P 0 S

"t
+e” Jo @ax.5) (ps)—c(@(x.5),p5))ds V:+l (¢ (x, 1)) }

t S * . *
= / ¢ oo ) =e(@ oy / ViWMa@yle(x, ). pds
0 N

+ e~ Jo oy (D) —c(@ (x.5).p1)ds Vi (p(x, 1)), Vi > 0.
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Also the relevant version of Lemma 4.2 holds: for each x € S and p € R,
4 T
t € [0, c0) — / e~ lo (%(x,s)(ps)—C(r/)(x,S),ps))dsf Vn*(y)é(dy|¢(x, 1), pr)dt
0 S
+ e oo () —c (@ (x.9).p0))ds VL (b (x, 1)

is monotone nondecreasing in ¢ € [0, 0co). Clearly, Vn* " (¢ (x, 1)) is absolutely con-
tinuous in ¢ € [0, oo) for each x € S.
Corresponding to (14), we now have

0= /’ef(;‘(qd,u,u)(p:)c(¢>(x‘v>,p:;>>dv/ VE()d(dyld (x, ), p)ds
+O e J0@o .5 (D)) —c(@(x.5),p1))ds V;: (@(x, 1) — V', ()
Z/ot e—fg(q¢<x,v)<p:>—c<¢<x,v)mif))dv{/Svn*(y)cj(dquﬁ(x,r),p;")+U,;"+1(x,r)
— @) (PF) — (@ (x, T), PV, 1 (B (x, T))}df
. /t e—fJ(qu,u)(p:f)—cw(x,vm;‘))dv{U:H . 7)
0
+ it { [ vioaaiee. 0.0 = Goin @
—c(p(x,1),a)V,i (9 (x, f))”dr
_ /t o= I3 ot (0 —c(@(x.0) 0 { Ut (. 0)
0
+ [ im0, £ o)
— Qo) (f(@(x, 1)) — c(@(x, T), f(Px, )V, (9 (x, T))}df,

.. . L. ovE ,
where T € [0, t] — U: 11 (x, 7) is integrable and coincides with W almost

everywhere, and f is some measurable mapping from S to A, whose existence is
guaranteed by [15, Proposition D.5]. Continued from the above relation, the reasoning
in the proof of the first assertion in part (a) of Theorem 3.1 can be followed: eventually
we see

Uy (x,7) +{§I€1£ {/SV,f(y)é(dyW(x,t),a) — (@p(x,0) (@)

—c(p(x, ), )V, (9 (x, f))} =0
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almost everywhere in 7 € [0, 7], i.e., the equation

—(V(ox, 1) = V(x))
t
=/O inf {/gVn*(y)é(dyI¢(x,T),a)—(qqs(x,r)(a)

acA

—c(p(x,1),0)V(d(x, r))}dt, te[0,00), xeS8, (18)

is satisfied by V = V,* .

Recall that V' = VO Suppose the recursive definition in (9) is valid up to step
n,and V¥ (x) = V@ (x) for each x € S. Consider an arbitrarily fixed [1, co)-valued
measurable solution V to (18), and let f* be a measurable mapping from S to A such

that
inf { [S VE(1d(dylx. a) — (g (@) — c(x. a))V(x)}
_ fs VEMEI, () — (@ (F*() = e, fXENV (), Yx € 5.

One can follow the reasoning in the last part of the proof of Theorem 3.1, and see,
c.f. (16),

o
Vix) > f o= S o) (F* @, —e(@ (x,0), 1§ (x,0))dv
0

x / VX 0)ddylpr. ), £ (6, 5)ds
S
4o I g (PGS 5 e (x.9). (e,

S T
> inf {f e*fo (Go(x.5)(ps)—c(P(x,5),05))ds (/ Vn*(y)é(dy|¢>(x, 1), Pr)) dt
0 S

pPER

e Jo qd’(m(p”dsefowC(qb(x’s)’mdx} =V (), Vxes,

where the last equality is by (17). Thus, V", , is the minimal [1, 00)-valued measurable

solution to (18), and coincides with V*+1_ Therefore, by induction V¥ = V® for
each n > 0. It follows now that V™ (x) P V*(x)asn 1 oo foreach x € S. O

5 Conclusion

In this paper, we considered total undiscounted risk-sensitive PDMDP in Borel state
and action spaces with anonnegative cost rate. The transition and cost rates are assumed
to be locally integrable along the drift. Under quite natural conditions, we showed that
the value function is a solution to the optimality equation, justified the value iteration
algorithm, and showed the existence of deterministic stationary optimal policy. As a
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corollary, the obtained results were applied to improving significantly known results
for finite horizon undiscounted and infinite horizon discounted risk-sensitive CTMDP
in the literature.
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Appendix

For ease of reference, we present the relevant notations and facts about the risk-

sensitive problem for a DTMDP. The proofs of the presented statements can be found

in [18] or [27]. Standard description of a DTMDP can be found in e.g., [15,22].
Consider a discrete-time Markov decision process with the following primitives:

X is a nonempty Borel state space.

A is a nonempty Borel action space.

p(dy|x, a) is a stochastic kernel on B(X) given (x, a) € X x A.
[ a [0, oo]-valued measurable cost function on X x A x X.

Let X be the space of strategies, and ¥ pys be the space of all deterministic strategies
for the DTMDP. Let the controlled and controlling processes be denoted by {Y,,n =
0,1,...,00} and {A,,n = 0,1, ..., 00}, respectively. The strategic measure of a
strategy o given the initial state x € X is denoted by PJ. The expectation taken with
respect to P? is denoted by EY.

Consider the optimal control problem

Minimize over o : EJ [ezgozol(x“A”’Y"“)] =:V(x,0), x e X. (19)

It is also referred to as the risk-sensitive DTMDP problem. We denote the value
function of problem (19) by V*. Then a strategy o™ is called optimal for problem (19)
if V(x, 0*) = V*(x) for each x € X.

Condition A.1 (a) The functionl(x, a, y) is lower semicontinuous in a € A for each
x,yeX.
(b) Foreachbounded measurable function f onX andeachx € X, fX f)pdylx,a)
is continuous ina € A.
(c) The space A is a compact Borel space.

Proposition A.1 Suppose Condition A.1 is satisfied.

(a) The value function V* is the minimal [1, oo]-valued measurable solution to

V(x) = inf {/ p(dy|x,a)el(x’a’y)V(y)}, xeX. (20)
a€A X
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(b) Let U be a [1, oo]-valued lower semianalytic function on X. If

U(x) > inf {/ p(dy|x,a)el(x‘”’y)U(y)}, VxeX,
acA X

then U(x) > V*(x) for each x € X. In particular, if the function U satisfying the
above relation is [1, 0co)-valued, then so is the value function V*.
(c) Let ¢ be a deterministic stationary strategy for the DTMDP model {X, A, p,[}.

If
V*(x)=/p(dy|x,(p(x))el(x"p(x)’y)V*(y), VxeX, (1)
X

then V*(x) = V(x, @) for each x € X.
(d) Let VO (x) := 1 for each x € X, and for eachn = 1,2, ...,

VW (x) = ;21; {/;(p(dypc,a)el(x’“’y)V("_l)(y)}, VxeX.

Then (V(") (x)) increases to V*(x) for each x € X, where V* is the value function
for problem (19). Furthermore, there exists a deterministic stationary strategy ¢
satisfying (21), and so in particular, there exists a deterministic stationary optimal
strategy for the risk-sensitive DTMDP problem (19).
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