Chapter 5

Challenges in Optimal Control Problems
for Gas and Fluid Flow in Networks

of Pipes and Canals: From Modeling

to Industrial Applications

Falk M. Hante, Giinter Leugering, Alexander Martin, Lars Schewe
and Martin Schmidt

Abstract We consider optimal control problems for the flow of gas or fresh
water in pipe networks as well as drainage or sewer systems in open canals. The
equations of motion are taken to be represented by the nonlinear isothermal Euler
gas equations, the water hammer equations, or the St. Venant equations for flow.
We formulate model hierarchies and derive an abstract model for such network flow
problems including pipes, junctions, and controllable elements such as valves, weirs,
pumps, as well as compressors. We use the abstract model to give an overview of the
known results and challenges concerning equilibria, well-posedness, controllability,
and optimal control. A major challenge concerning the optimization is to deal with
switching on—off states that are inherent to controllable devices in such applications
combined with continuous simulation and optimization of the gas flow. We formulate
the corresponding mixed-integer nonlinear optimal control problems and outline a
decomposition approach as a solution technique.
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5.1 Introduction

The optimization and control of networked transport systems are becoming an
increasingly important branch of industrial applied mathematics. In particular, gas
flow in pipe networks including providers, customers, valves, compressor stations,
and the like provides a grand challenge with respect to customer satisfaction, low-cost
operation of the network, legal restrictions, pressure and flow restrictions, sensitiv-
ities with respect to temperature, and market conditions. Given the fact that pipe
systems involve easily thousands of pipes, valves, and a number of compressor sta-
tions, which, in turn, are whole factories all by themselves, turns the overall problem
into a multiscale problem in time and space.

While the physical quantities are typically viewed as continuous entities, deci-
sions are not. The decisions of switching a compressor on or closing a valve are
0-1 processes. On the other hand, having switched on a compressor based on some
decision-enhancing argument, the compressor as physical entity is controlled by a
continuous profile ranging from the idle state to the desired state. Similarly, the oper-
ation of valves, release elements, or tanks for fresh water or sewage water systems is
again a combination of discrete or integer controls and continuous controls. Pressur-
ized flow problems appear also in hot steam pipes in power plants, where in addition
to the transportation problem nonlinear fluid-structure interactions and a variety of
design problems are important.

What has been said so far exactly applies to other transportation systems in civil
engineering, such as in fresh water pressure-flow pipe networks as well as sewer
systems with the free surface flow in open or closed canals that, in turn, may switch
to pressurized flow under severe weather conditions. Again, opening a weir or a
sluice gate in the possibly polluted waste water networks or river regulatory sys-
tems as well as operating valves, tanks, purification plants, or pumps in fresh water
systems involves discrete and continuous optimization variables and cost or merit
functions to be optimized. In conclusion, one ends up with a vastly complex, discrete-
continuous multilevel, and multicriteria optimization problem involving systems of
time-dependent partial differential equations, ordinary differential equations, as well
as algebraic equality and inequality constraints for the governing state variables
as well as control constraints. On top of that, the problem formulations are typi-
cally inexact, as parameters (e.g., wall roughness and other material properties) are
unknown or uncertain. Knowledge about initial and equilibrium conditions are lack-
ing as well. This indicates that data plays a predominant role in the applicability of
the mathematical methods. Finally, all what is done in controlling, operating, and
planning of such a complex system should be done in real time or for a large num-
ber of instances, respectively. An example for the different aspects to tackle such a
problem is given in [51], where these aspects are discussed for gas networks.

Itis obvious that a mathematical program cannot cope with all these difficulties and
challenges. Nevertheless, it is also obvious that the mathematics community should
be aware of these challenges and particular of those leading to new and interesting
mathematics. The particular instant that the Indian Society of Industrial Applied



5 Challenges in Optimal Control Problems for Gas ... 79

Fig. 5.1 A gas compressor

Fig. 5.2 A real-world gas network of Germany’s largest gas transport company Open Grid Europe
GmbH. Lines correspond to pipes or active elements like compressors as given in Fig.5.1. Connec-
tion points of these lines correspond to simple junctions or entry as well as exit customers
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Mathematics (ISTAM) held an international workshop at Sharda University in January
2016 and is now committed to publishing a thematic volume regarding industrial
applied mathematics is an opportunity to provide a survey article on problems that are
grand challenges both for the Indian society and the Indian mathematical community.
The authors sincerely hope that this article provides some hints and stipulations where
to concentrate future research resources.

The article is organized as follows: In Sect. 5.2, we first embark on the modeling
of gas flow. We start with a rather general system of equations and then derive a hier-
archy of simpler models until we arrive at algebraic relations for which even explicit
formulae are known. We then provide a network modeling for the corresponding
systems of equations, where we introduce boundary conditions at so-called sim-
ple nodes (inflow and outflow nodes) and transmission conditions at interior nodes,
where either pipes meet or valves, compressors, and the like are coupled to pipes. The
node conditions involve discrete and continuous control variables. The same program
is then pursued for fresh and waste water systems. It becomes obvious that all the
systems can be put into a common abstract framework, namely systems of switching
nonlinear hyperbolic balance laws on metric graphs. Clearly, such hybrid formula-
tions are non-standard from the point of view of dynamical systems (PDEs, ODEs,
Integro-PDEs, etc.). We then discuss some system-theoretical results in Sect. 5.3 that
are needed for optimal control by discussing the existence of equilibria, lineariza-
tions around such an equilibrium, Riemann invariants, and discretization techniques.
The topic of the final Sect.5.4 is then how to apply these results and techniques to
optimal control problems. Here, we also show computational results on problems
from real-world applications. We provide, in a sense, a road-map from modeling to
optimal control, where in addition to the dynamical system, side constraints for the
states and the controls have to be satisfied throughout the operation. At each step,
we pose open questions and refer to known results.

5.2 Modeling of Flow in Pipes and Open Canals

In this section, we introduce three example problems and their common general-
ization. For every problem, we first state the model for a single pipe or canal and
then introduce a network model that also contains active, i.e., controllable, elements.
Apart from this common structure, we emphasize different aspects of the models
in our examples. For instance, the gas network example contains a discussion of a
fine-grained model hierarchy, whereas the sewage example contains a derivation of
the model equations.

Before we start with the different examples, we fix some notation common to all
models. We consider networked systems that we commonly model by a metric graph
G = (N, E) with nodes N = {ny,ny,...,ny} and edges E = {e, e2, ..., ¢g|}.
Each edge ¢; represents a pipe or canal as a one-dimensional object of normalized
length 1, and we therefore associate to each edge an interval [0, 1]. Moreover, we
associate with each edge a direction pointing from x = 0 to x = 1. For what follows,
we introduce the edge-node-incidence matrix D € ZE*IN with entries
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—1, if node n; is the left node of the edge e;,
dij = 1+1, if node n; is the right node of the edge e;,
0, else.

The set of edges that are connected to anode j isdenotedby .#; :=={i =1, ..., |E]|:
d;i; # 0} and the set of in- and outgoing edges are given by ﬂ;’ ={ie S dj=1}
and 9 :={i € J; :d;j = —1}. Finally, for each node we introduce the edge
degree d; := |.7|.

We subdivide the set of nodes further, depending on their role in the network. To
this end, we introduce three sets of node indices:

e the set ¢, corresponds to nodes that are active, i.e., controllable, e.g., valves,
compressors, and pumps;

e the set ¢ corresponds to boundary nodes at which gas or water enters or exits
the system; and

e the set ¢, corresponds to nodes that are passive in the sense that they do not
belong to one of the sets above. We call such nodes also junctions.

The set _Z, will typically be subdivided further depending on the discussed model.
For nodes n; with j € _#,, we assume that d; = 2 with one incoming edge with
index i € . j+ and one outgoing edge with index k € ﬂj_. For all other node types,
we make no assumptions on their edge degree. Weset ¢ = 7, U #zU 7.

5.2.1 Gas Flow

In this section, we describe the modeling of gas flow. We start by presenting a
hierarchy of models for a single pipe in Sect.5.2.1.1 and afterward discuss a model
for an entire network with valves and compressors in Sect.5.2.1.2.

5.2.1.1 A Single Pipe

The Euler equations for the flow of gas are given by a system of nonlinear hyperbolic
partial differential equations (PDEs), which represent the motion of a compressible
non-viscous fluid or a gas. They consist of the continuity equation, the balance of
moments, and the energy equation. The full set of equations is given by (see, e.g.,
[10, 57, 58, 70])

9o+ 9:x(pv) =0,

A
2 /
d(pv) + 0y (p + pv°) = 5D pv|v| — gph’, 5.1)

a((12+))+8( (3 +e)+ )——IE(T—T)
,,0211 e xpvzv e pv—D W) -
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Here, p denotes the density, v the velocity of the gas, T its temperature, and p the
pressure. We further denote with g the gravitational constant, with 2" = h’(x) the
slope of the pipe, with A the friction coefficient of the pipe, with D the diameter,
with k,, the heat coefficient, with T,, = T,,(x) the temperature of the wall, and the
variable e = ¢, T 4 gh denotes the internal energy, where ¢, is the specific heat.
The conserved, respectively balanced, quantities of the system are the flux ¢ = apv
(where a is the cross-sectional area of the pipe), the density p, and the total energy
E=p(/ 2v? + ¢). In addition to the Eq. (5.1) we use the constitutive law for a real
gas
p=RpTz(p,T),

where z = z(p, T) is the real gas, or compressibility, factor and Ry is the specific
gas constant. Note that z = 1 holds for an ideal gas. The Eq.(5.1) allow for three
characteristics corresponding to the eigenvalues of the Jacobi matrix of the flux
function that are given by

M=Vv—c, A=V, A3=Vv+ec,

where c is the speed of sound, i.e., ¢ = 3, p (for constant entropy). For a natural gas,
this is approximately 340 ms~'. While the first and third characteristics are genuinely
nonlinear, the second is linear degenerate. For the linear degenerate contact discon-
tinuities evolve. We consider pipes of finite length ¢ and by a reparameterization
x — x£ we may assume having (5.1) for x € (0, 1). The characteristics determine
the direction and velocity of acoustic waves inducing the gas flow in the pipe and,
hence, the number of boundary conditions that have to be imposed at the ends of
the pipe. In particular, in the subsonic case (|v| < ¢) that we consider in the sequel
and with positive flow direction of the gas, the first two characteristics are oriented
such that the first is right and the second is left going. In this case, two boundary
conditions have to be imposed on the left and one at the right end of the pipe.

We consider here the isothermal case only but note, however, that the temperature
may have a significant effect: Long pipes may develop large temperature gradients
depending on the weather conditions. In the isothermal case (T = const), the energy
equation becomes obsolete. Thus, we obtain

00 + 9:(pv) =0,
5 A , 5.2)

9, (pv) + 0 (p + pv7) = Y, L vl — gph'.
In this case, there are two characteristics A; = v — ¢ and A, = v + ¢ such that in the
common subsonic case we have one in- and one outgoing characteristic, and, hence,
one boundary condition at each boundary point. In the particular case z(p) = const,
we obtain a constant speed of sound ¢ = /p/p.

It is often more convenient to express the state variables in a different way. In
particular, often the flux ¢ and the pressure p in a pipe are used. Here we have
g = apv and p = c?p. With this, we can rewrite System (5.2) as follows:
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62
0p+ —0dq=0,
a

6242)__)\62 qlqgl  ga

(5.3)
0 0y —_
4+ (ap+ a p 2Da p c?

hp.

We now write this system in terms of vectors. To this end, we define

C2
yi= (p) . F(y) = o) seio=(_ e quIO gap |- G4
q ap+ ¢4 ~3pa p AP

Then, System (5.3) can be rewritten as a first-order system of nonlinear hyperbolic
balance equations
Oy + 9 F(y) = S(y; x).

For small velocities |v| < ¢, we arrive at the semilinear model

C2
ap+ Eaxq =0,

(5.5)
3q+a8 p= _)L_CZM _ gh’p
! ! 2Da p 2
This model exhibits the simple characteristics A.; = —c¢ and X, = c. If in addition

d:q is small, one obtains the quasi-stationary (friction dominated) model, see [10],

(5.6)

Finally, when considering the stationary case, all derivatives with respect to time
vanish and we obtain

(5.7)

With constant compressibility factor z = const and by further neglecting the gravity
term, we get that flux ¢ is constant (hence, determined by the boundary data) and
the remaining momentum equation turns into the algebraic model

12l
Pout =/ PA — Doz ldl: (5.8)
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where poy and pi, are the pressure at the end and the inlet of the pipe, respectively.
The algebraic model (5.8) is discussed, e.g., in [67] and in chapter [26] of the recent
book [51].

Remark 5.1 In view of the vectorial notation (5.4), we may embed the hierarchy of
models (5.3), (5.5), (5.6), and (5.7) into one format. For this, it is only necessary to

introduce ,
1. (10 Loy o 4
e () (50
10 el
) o= ()
o Czq (5.9
3. 3 N o
M o (O 0)5 F (y) A (Clp) ’
o (00Y  La . (S4q
M™ = (00 , F(y):= ap )

Then, we can write
M3,y + 0, F/(y)=S(y;x), j=1,273,4.

The above hierarchy and even further intermediate models can also be obtained from
asymptotic analysis; see [10].

5.2.1.2 Networks with Pipes, Valves, and Compressors

In order to formulate a complete model for an entire network on a finite time horizon,
we have to specify some continuity conditions. First, the pressure variables p;(n;)
coincide for all incident edges i € .#;. We express these transmission conditions at
all passive nodes by imposing

pitnj, t) =pi(nj,t), je Zr, ike I, te(0,T).

The nodal balance equation for the fluxes can be written as the classical Kirchhoff-
type condition at non-boundary nodes:

D> dijginj, 1) =0, je g\ Ip.

I'G.ﬂj

We now turn to the active, i.e., controllable, nodes j € _#,. These model com-
pressors (_Z.) and valves (_#,). The main problem in gas flow is the inherent pressure
drop due to friction at the interior pipe surface. This significant pressure drop neces-
sitates compressor stations within the network. Clearly, such compressor stations are
costly and expensive to operate. Therefore, typically only few such stations appear
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in the given network. For example, the German gas network contains about 70 such
stations with a power of approximately 2400 MW. The pressure at the outlet of such
a station can be up to over 100 bar. The description of compressors is typically estab-
lished via characteristic diagrams based on measured specific changes in adiabatic
enthalpy H,q of the compression process. This quantity depends on the pressure and
the temperature and is given by

k=1
K 3
Had = Z(pL, TL)TLRS— ((&) _ 1) ,
kK =1\ \pL

where the isentropic exponent « is itself pressure and temperature dependent, but is
often taken to be a compressor specific constant, e.g., « = 1.29. Here, T}, denotes
the temperature at the inlet of the compressor. Accordingly, p; and pg denote the
pressures at the inlet and outlet of the compressor. After introducing a switching
variable s;'(t) € {0, 1} and the shorthand notation k (gx) = sign(gx(n;, 1)) (x — 1)/x,
we obtain a model for a compressor node with index j € _# forallt € (0, T):

C 1) i (qr)
o=sj(t)[u_/—Cqu(”f’t)|((%) _1)]

+ (L =55@) [pi(nj, ) = p(nj, 0] .

For valves, the model is considerably simpler. With the switching variable 57 (r) €
{0, 1}, the model for a valve node with index j € ¢, forall¢ € (0, T) reads

s5(0) (pi(nj 1) = pe(nj, ) + (1 = s7(1)gi(nj, 1) = 0.

In total, we arrive at the following system given in Model 1.

5.2.2 Fresh Water Systems

In this section, we describe the modeling of fresh water flow. We again derive a
hierarchy of models for a single pipe in Sect.5.2.2.1 and afterward discuss a model
for an entire network with valves and pumps in Sect.5.2.2.2.

5.2.2.1 A Single Pipe

In order to obtain a model hierarchy for pressurized pipe flow of water similar to the
one we have seen for gas flow we consider the fundamental equations of conservation
of mass and conservation of momentum for incompressible flow
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Model 1: Gas network model; x € (0,1) and ¢ € (0,T)

o, pi(x, t)+ axq,(x t)=0, i€,

vo

_ ‘ 2 g qi(x,1)” 1)?
D) +0, (amx,r) + I

Ac? qi(x,1)|qi(x,t
S w,iﬁh'.pi(x,;), ics,

[),‘(I’lj,l‘)ka(nj,l), je jn:: l'.,kG«]',
Z dij‘]i(nj%z) =0, je€ f\]ﬁv

i€J;
$5(0) (Pi(nj,1) = pi(nj,0)) + (1= 53(1))qi(nj,1) =0, j€ 7y, ik I},

) Pk(”'al) K(qr)
s5(t) | uj— Clai(nj,1)] <<M> 1)}

HU=0) i) i) =0, j€ fov ke 7,
8i(pi(nj,1),qi(nj,1)) = u;(t), j€ Jp,i€ .7}
p[(xvo):pi-,o( )7 qi(xvo):ql\o(x i€,

0;(pa) + 9x(pua) =0,

d A
3 (pua) + 3, (pau®) + ad, p = —gap (EZ + ngulul) )

where p is the density, u is the fluid velocity, and p is the pressure. Here, a is the
cross-sectional area of the pipe, D its diameter, and z its elevation above a reference
level. One introduces the piezometric height 4 (¢, x) = z(x) + p(¢, x)/(gpo), where
po is the density of water in free surface flow at reference level, the flux ¢ = ua and
one assumes ¢> = d,p, where c is the speed of sound in fresh water at normalized
conditions. With these variables, we can verify for p = py that

6‘2

8poa
adyp = gapody(h — z).

8[]1:_

0xq,

Thus, we arrive at
2

dh+ —d.q =0,
X 8ad N (5.10)
9 ~9.q° ah=———|qlqg.
tq+a q +ga 2aqulq

For a pipe of finite length £ we may again employ a reparameterization x > xZ,
having (5.10) for x € (0, 1). Moreover, we may again introduce a vectorial notation
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h iq 0 )
= , F = 8a , Sy x) = .
’ (Q) ) (ﬁqz + gah) 0 (—ZQDCI 4l

Then (5.10) can be rewritten as a first-order system of nonlinear hyperbolic balance
equations

0y + 0 F(y) = S(y; x).

As in the case of gas flow, one may deduce a number of simplifications and
obtain a hierarchy of models. First, we may neglect the nonlinear term 5axq2 in the
momentum equation in order to arrive at a semilinear model called water hammer

equations [1], i.e.,
2

ah+ g =0,
84 (5.11)

A
9 oh=——— .
iq + gad 2ap 11
We may also neglect the temporal dynamics in the second equation to end up with
the quasi-stationary model

02
0h + —0d.q =0,
84 (5.12)

A
oh = ——— .
gady 22D 114
In the stationary case, we have
2

c_axq = 03
84 (5.13)

A
ah=———|qlq.
ga 2aqulq

As this implies ¢ = go = const, we have the formula

AL
hin — hou = %m—zDCIoWoL

Remark 5.2 As we did for the gas case, we also embed the hierarchy of models
(5.10)=(5.13) into one format. With M!, ..., M* asin (5.9) and

1 o C—ZCI 2 3 4 ._ %CI
Fy):= (%qﬁ gah), F2(y) i= F(y) == F(y) = (gah)

we can write . .
M79y + 0, F/(y) = S(y; x), j=1,2,3,4
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5.2.2.2 Pipe Networks

On a finite time horizon (0, T'), let us consider a fresh water pipeline system includ-
ing valves and pumps. The pressure increase of a pump expressed in terms of the
piezometric height Ah = hg — h, for given flow ¢ and piezometric heights #; and
hg corresponding to the pressure at the inlet and outlet can be described by

= (o= (2)).

where pump-dependent o > 0 is the maximal pressure increase, y and g are effi-
ciency parameters, and u is the relative speed subject to our control [63]. Valves are
modeled in a straightforward sense similarly to the gas case. Thus, letting J, and J,
denote the set of node indices corresponding to valves and compressors, respectively,
we obtain the network model given in Model 2.

Model 2: Fresh water network model; x € (0,1) and ¢ € (0,7)

2
dhi(x.0) + - Bqi(x,t) =0, i€ .S,

8ai
a,qi( t)-l-la 2( 1)+ ga;dhi( t)——i\ i(x,0)|qi(x,t) €S
1qi\ X, a qi \ X, 8aioxhi(X,1) = 2a:D; qi\X,1)\|qi(X, Lc s,

hi(nj,t) =h(nj.t), j€ Jr, ik I},
Y dijgi(nj,)=0, je 7\ 75,

iE.V,’
s5(1) (hi(nj,t) — hi(nj, 1)) + (1 = s5(t))qi(nj,t) =0, j€ 2, i,k I},
n; Y
550 [tos) s =1 (o -y (£222) )]
+(1 7s5-'(t)) (hi(nj,t) —h(nj,1)] =0, je€ £y, i,ke I,
gj(hi(nj,t),qi(nj,t) =u;(t), j€ Jp,i€I;
hi(x7 0) = pivo(x)7 q[(xvo) = qu(x)v i€,

5.2.3 Modeling Sewage Flow

The third type of models concerns the flow of water in open canals and, in particular,
in networks of such canals. The latter are often considered as sewer systems. More
precisely, sewage flow is modeled as a wave of shallow water running through a
long, slender, and prismatic canal. While the shape of the canal profile is often of
minor theoretical interest, we have to deal with nontrivial canal shapes in practical
applications and, therefore, we describe a canal and its properties in a more general
setting.
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5.2.3.1 A Single Canal

To model a single canal we may again choose a one-dimensional model because a
canal is long and relatively thin (small aspect ratio) and the flow changes significantly
only along the flow direction of the canal. The floor of the canal is elevated by a
(assumed smooth) floor function z( and the shape profile of the canal is characterized
by the canal width function w(k), describing the width of the canal in dependence of
the filling height, and is assumed to fulfill the following well-shapedness property:
Namely, the canal width function w(h) is called well-shaped if there exists e}, and
g both in RY with & > e > 0and w(h) € €' (RT; [¢",,, €¥.]). We now
focus on sewage flowing through a well-shaped canal X C RR. The motion of the
liquid is observed over a time interval ® C R and can be described by physical
quantities, which we call primary variables: These variables consist of the water
height & and the velocity along the canal V. In the case of pollution, the primary
variables are completed by the vector p € R representing concentrations of chemical
solutes transported by the sewage. We have to remark that p(t, x) € (Rg)" for all
(t,x) € ® x X would be a reasonable restriction, as negative concentrations have
no physical meaning. Nevertheless, this restriction is not required for the correctness
of the mathematical derivations and is therefore neglected. Based on these primary
variables and the canal width function w(k), we introduce some additional, so-called
secondary variables, consisting of the wetted cross-sectional area of the sewage
A(t, x), the flow rate of the sewage Q(, x), and, in case of pollution, the vector
of r amounts of substances R(z, x) is used to describe the mass of pollution in a
cross-sectional area. These are defined as

h(t,x)
A(t,x) = / w(z) dz,
0

h(t,x)

01, x) == V(1. x) / w(z) dz.
0

h(t,x)

R(, x) := p(t,x)/ w(z) dz.
0

We use the vector notation in order to distinguish explicitly from the scalar case.
In order to derive the physical balance laws describing the dynamics of the flow
variables, we introduce a small but arbitrary part of the time-space domain, which
is called control volume and is defined as ©, x X, := (t°, 1) x x%, x") c ® x X.
We can now state the system in terms of the variables (A, Q, R) instead of (k, V, p).
Indeed, by A = foh w(z)dz we can interpret A = A(h) and 0, A(h) = w(h). Our
assumption that the canal is well-shaped then implies that A (h) is bijective. We have

A
h/(A)=;, h(A):/ L
w(h(A)) o w(h(a))
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The inversion of the other variables provides

V(A, Q)= %, p(A,R) = —

We use this to define the hydrostatic pressure function 1 as a function of A,

h(A)
n(A) == g/ (h(A) — 2)w(z) dz,
0
and its derivative is given by

Ay = gAl(A) = -3 0 Aemrt
e =s T Wwh(a) ’

where g is, as before, the acceleration due to gravity. Let us now assume that the
quantities A, @, and R are continuously differentiable functions with respect to time
and space. We arrive at the mass balance equation in integral form

// 0;A(t, x) + 8xQ(t,x)dxdt=//sM(t,x)dxdt, (5.14)

where sy, (¢, x) is a lateral in- or outflow along the canal. Similarly, the momentum
balance is equivalent to

// 3,0(t, x)+8(Q(( )) n(A(t,x)))dxdt

:/ / sp(A(t, x), Q(t, x), x)dx dt,
e. J X,

where sp(A, Q, x) is the friction term. Moreover, in case of pollution, the corre-
sponding balance reads as

// aR(t.x) + 0, 2LV (t,x)dxdt:/ / ss(R(t. x). £, x) dx dr.
O, A(t, x) O J X,
(5.15)

As ©. x X is chosen arbitrarily, we can conclude that Egs. (5.14) and (5.15) must
holdin a pointwise sense in & x X.Foracanal of length ¢, using a reparameterization
x > x/, this leads to a system of hyperbolic equations on (0, 1), which we call
augmented shallow water equations in conservation form:
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%A +0:Q =smt, x),

0’ ;A0 D0 K, 1)
0; 0 + 0 (7 + ﬂ(A)) = —g (AZO + %) =:s5p(A, O, x),
3R+ 9, (%R) =ss(R.1,x),
(5.16)

where ss(R, ¢, x) is a lateral in- or outflow term for the pollutant. We can put this in
a vector format as follows

A , 0 sy (t, x)
Wl o)+l L +nA)]|=]sA0x
R %R SS(R,I,.X')

For convenience, we set

A(t, x) . 0 sy (t, x)
yt,x):=|0@x)|, F@):= % +n4) |, SO.t,x):=|sp(A, Q,x)
R(z, x) %R ss(R, 1, x)

and arrive at the system of hyperbolic balance laws:

o y(t,x)+ 0. F(y(t,x)) = S(y(t, x), t, x). 5.17)

Remark 5.3 We add that the system variables may be switched to V, A. Then we
have,

A AV SM(I,.X)
W V] + o | L +ghA)|=|sri1(A.V.X)].
R VR ss(R, z,x)

where sp 1 (A, V, x) is a suitably modified friction term. If we set
A(t, x) s AV sy, x)
yo.x) = (Ve ) FO) =Y +ghA)]. SO0 :=[sp1(A, V. 0) ],
R, x) VR ss(R, 1, x)
we arrive again at a format as in (5.17). The quasilinear format then reads as
A Vv A0 A csy(t, x)

alv]+ mvo WV )] =[sri(A,V,x)
R 0 RV R SS(thax)
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In this system, the first two equations resemble the classical shallow water equa-
tions, which are completely independent from the substance amounts R. The last r
equations regarding the transport of the substance amounts are also called transport
equations of passive scalars.

Remark 5.4 As in the preceding examples, we can also derive a stationary variant
of the Eq. (5.16) and write these two models in a common format. With

100
M':=[010],
001,

where I, is the 7 x r identity matrix, M* the (2 + r) x (2 + r) zero matrix and

0
F'(y) = F*() = [ £ +5(4)
SgR

we can write ' A
M0,y + 0, F'(y) =S(y;t,x), j=1,4.

5.2.3.2 Shallow Water Equations on Networks

On a finite time horizon (0, 7'), we now consider an urban drainage network consist-
ing of a set of nodes representing canal junctions possibly involving active elements
such as slice gates or pumps and a set of edges representing prismatic sewer canals.
As the pipe model, we use the shallow water equations discussed in the preceding
section. To connect the pipes, we need adequate coupling conditions which occur
as boundary conditions for each canal. The boundary conditions at the canal bound-
aries, y;(nj, t), j € f#g,aregivenforallt € (0, T). Atthe othernodesn;,i.e., nodes
nj with j € ¢ \ _Zg, the states have to satisfy transmission conditions. The most
important of these conditions is again Kirchhoff’s junction rule, which guarantees
that no mass is lost as the liquid flows across the vertices 7 ;:

> dijQi(nj.1) =0, te(0.7).

ieﬂ/

For passive nodes, Kirchhoff’s junction rule is completed with another coupling
condition stating continuity of free surface height

hl(n]’t)=hk(n]9t)’ jGJNy ivkejjv tE(O,T),
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or continuity of particle velocity

Qi(nj, 1) _ QOi(nj, 1)
A,-(nj,t) Ak(nﬂ,-,t)’

JE€ Furivke S, t€(0,T). (5.18)

Active nodes can be subdivided into two types: gates (_#,) and pumps (_#p). At a
sluice gate, we have an upstream water level &; and a downstream level hy < h;.
The actual height of the gate is 4. Considering a simple geometry of the gate area,
we have a width b and hydraulic constant « that we do not want to elaborate upon
further. With this, the flow through the gate is given by

Q = Kbh()\/h] - hz.

In our context, we identify the gate as a boundary condition between two consecutive
canals. We control the height % and put the coefficients into the definition of the
control that we then call u;(¢), where j is the index for the active node n; with
j € #; Thus,fori,k € #;andt € (0, T) we have

Qi(nj, 1) =u;(t)sign(h;(nj, 1) — hi(nj, ))y/1hi(nj, 1) — hi(nj, 1)l

We again introduce a decision variable sf (t) € {0, 1} such that if the gate is turned
off (not active) s§(r) = 0 and otherwise s7(r) = 1 holds. Thus, for i, k € .#; and
t € [0, T] we have

0= s5(0) Qi) 1) = ;@) sign(hin. 1) = hiny, 1)/ Thi g, 1) = b, D)
+(1- Sf(f)) (hi(nj, 1) — h(nj, 1).
Pumps can be included in the modeling in a similar way. There are a number of
models with increasing accuracy when compared to real data. See [61] for an account
of models that are represented as transmission conditions between two adjacent

canals. Clearly, the simplest such model is when the flow rate is set equal to the
pump rate and there appears a transmission condition

sPOQinj ) = 0)) + (U =sF ) hi(nj, 1) = hi(nj, 1) =0, j € Fp, 1€©T)

Combining these parts then leads to the network model given in Model 3, where,
for concreteness, we choose (5.18) as the coupling condition.
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Model 3: Sewage network model; x € (0,1) and t € (0,T)

AAx1) +2:0i(x1) =0 i€ .7,

2
00 (00) 3, (L aien) ) =smihie) Qe 2) i€ 7,

at (x t)—‘,—() <fll((x t;R,(x,l‘)) = sst,-(R;(x,t),t,x) i€ gﬁ,
Qi(nj,t)  Ok(nj,1)

Ai(nj,t)  Ag(nj,t)

Y dijQi(yi)(n)) =0, je 7\ Zp,

i€}

(1= 55(0)) (hi(nj,1) = (1))

jE(/ﬂ;, i,keﬂﬁ

+s(1) (Qt(njv ) —uj(t) sign(hi(n;,1)

—hi(nj; 1)/ |hi(n ) J€ Sy ke ),

ST (0)(Qinj,t) = O]+ (1 =5 (1)) (hi(nj,1) = hie(nj, 1)) =0, j€ 7y, ik € .7,
8(Qi(nj,1),Ai(nj,t)) = J€ Jp, 1€,
0i(x,0) = Qio(x), Ai(x,0) = L()( ), ic.g,

5.2.4 Abstract Model

The modeling in this section has revealed that in all cases of interest, say on the level
of a quasilinear formulation, we can write all models in a common abstract setting as

0 yi + Ai(yi)dxyi = Si(i), i €S, (x,1) €(0,1) x (0,T),
Ei(y)(n;) = Ex(y)(n), j € Fn, i,ke I, 1€(0,T),
D di Qi) =0, je F\ Fp t €T
ier, (5.19)
Ci(yinj), y(nj),sj,u;) =0, je 7y, i,ke S, te0,T),
Bi(yi)(nj) =uj, je Jgp i€ I, 1e(0,7),
Yi(-,0) = yio, 1€ 7.

The following three examples give a detailed overview how the preceding models fit
into this abstract framework.
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Example 5.1 We begin with gas networks, where we have

C-2 c.z
Di o di 0 p
Yi=(q;), Fi(}’i):(ap:'_iﬁ), Ai(y)) = DF;(y;) = 4_ G4 2£ﬂ

- -3
ai pi ai p; 4 pi

E:(y)=pi, Qi(yi)=gq.

At active nodes j € 7, = #,U _#Z. we impose valve or compressor conditions.
Thus, for j € ¢, we have

CiQi(ny), ye(np), sj,uj) = si()(pi(nj, 1) — pe(nj, 1)) + (1 —5;(1))qi(nj, 1)
and for j € _Z. we have
Ci(yi(nj), ye(nj), sj, uj)
C (7. 1)\ @
=s5(1) |:I/lj — Clgi(nj, t)] ((Z(:—jf)) - 1)]
+ (1= s5@) [pilnj, 1) = pitny, 0]

Example 5.2 For fresh water systems, we have

2

hi g 0 -
P = , FiQ) = 84i , Ai(yi))=DF(y;) = i
y (qi) (i) (a%_q?Jrga,-h,-) (i) (i) (gai a_f:qi)

Ei(y)) =h;, Qi(yi) =gqi.

At active nodes j € ¢, = #,U #,, we impose pump or valve conditions. Thus,
for j € ¢, we have

CiQi(ng), ye(nj), sj, uj)

. Vi
:S}’(Z‘) [hi(nj,t)—hk(nj,t)—u? (Olj—ﬂj (@) )i|
J

+ (1 —=s7() [hi(nj, 1) — hi(nj, 1)]
and for j € _#, we have

CiQi(ny), ye(nj), sj,uj) = s;(t) (hi(nj, 1) — he(nj, D) + (1 — s7(0)qi(nj, 1).
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Example 5.3 Finally, we consider sewer systems. There, the pipe model can be
brought into the desired form via

. A;(t,x) P R Qi
Yi ‘= (Qi(t’x))v E(yz)-—(%+n(Ai)),

0
Q,2 gA,» i )
Az + oAy 24

as well as

[SH

A;(yi) :=DFi(y;) = (

and for the coupling conditions, we set

Ei(y;) := % 0i(y) == 0;.

Atactivenodes j € ¢, = #, U _#, we impose pump or gate conditions. Thus, for
j € 7, we have

Cii(m), yep),sjouf) =7 O(Qinj, 1) = Q) + (1 =¥ @) (hi(nj. 1) = hy(nj, 1),
and for j € _#Z,, we have

Ci(yi(nj), ye(nj), s, uj)
= (1= s50) (hi(n, 1) = e}, )
+ 550 (Qi 01,1 = @) sign(hi . 1) = i 0)y/ThiCn g 0) = b, D)

Our framework can also be extended to a setting where we switch between models.
From the point of view of efficiency in the context of large-scale applications like,
e.g., real-world gas or water networks, we would like to take into account model
adaptivity. That is to say, in a network region with very little dynamics we would
like to invoke a stationary model, in regions where moderate dynamics govern the
process, a semilinear time-dependent model may be appropriate, whereas in regions
with significant dynamics, the fully nonlinear system needs to be taken into account.
Thus, we have a set of mass matrices

0]

M, s'()e{0,1,2,...,m;}
and a set of system matrices
AT, st €10, 1,2, mi).

In all models, we keep the source terms as they are essential in the applications
discussed here, yielding
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M 8,y + A G)dyi = Sion), i €7,
Ei(y)(nj) = Ex(y)(n;), j€ Fn, i,k eI},

D d0iyn) =0, je 7\ g
ies, (5.20)
Ci(i(nj), yk(nj),sj,u;) =0, je o i.ke S,
Bi(yi)(n;) =u;, je€ fg, i€,
yi(-,0) =y, i €7,

where x € (0, 1) and ¢ € (0, T). Such model adaptivity with s/" taken as adjoint-
based error estimators and hence state depending switching rules can numerically be
exploited to speed up simulations [21]. However, in one way or another, systems of
Type (5.20) appear also naturally in the context of gas and water network simulation
and control or, in a more general notion, in energy networks. We also want to add
that one also may have to consider model switching in the transmission conditions
to ensure well-posedness.

Remark 5.5 To the best knowledge of the authors, there is no mathematical analysis
available for Model 1, 2, and 3 covering all nonlinearities and mixed regularities
due to the switching functions s;(¢) € {0, 1} for j € _#,. This holds even for the
simplest possible network, namely a two-link system with one controllable device
(e.g., a valve or a compressor) at the connection point and of course extends to the
abstract system (5.19). Even for smooth relaxations of s;(-), no published result
seems to be available, though we belief that the theory of Li Tatsien can be applied
in this case—at least for tree-like graphs. As a matter of fact, once the corresponding
problem is understood for a star-like graph, the tree network can typically be handled
using a so-called peeling technique; see [53, 59].

What has been said of course also applies to problem (5.20) including model
switching. Note that, for state depending switching rules, one can no longer guarantee
a classical notion of continuous dependency of the solution on parameters. Rather,
one has to work with set-valued solutions and discuss upper semicontinuity of the
solution set. How this can be realized for semilinear equations on networks and
implications thereof are discussed in [45, 46].

5.3 System-Theoretical Results

In this section, we collect some relevant system-theoretical facts that apply to our
abstract model (5.19) and point out open problems. For fixed integer variables, we
show how to derive equilibria for such a system using the example of gas networks
and discuss how linearization can be used to investigate solutions in a neighborhood
of such an equilibrium. We then study Riemann invariants for the system that are
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the basis for well-posedness, controllability, and reachability results. We close the
section by discussing discretization and piecewise linearization to obtain simplified
models that can cope with integer variables.

5.3.1 Equilibria and Linearization

It has become amply clear that in all applications discussed in Sect.5.2 we arrive
at the common abstract model (5.19). An elementary question is the existence and
characterization of equilibria Y, i.e., a solution of

Ai(Y)o, Y, = S;(Y), i€ S,
E;(Y)(nj) = Ex(Y)(nj), je Fr, iked;,
> diQi(Y)(n) =0, je 7\ 521)
ics;
Ci(Yi(nj), Yi(nj),sj,uj) =0, je 2y, i, ke S,
Bi(Yi)(nj) =u;, je g i€,

for x € (0, 1), a constant s = (s;) je g, and constant u = (u;) je_g,u_g,. In order to
provide some evidence that the analytical description of such equilibria is possible
but can be quite involved, we exemplarily study here the stationary solutions of the
isothermal Euler equations in a single horizontal pipe. The case of non-horizontal
pipes and results concerning tree-like networks can be found in [37]. An analysis
concerning more general networks including cycles is available in [41, 42].

Example 5.4 Consider the isothermal Euler equation (5.2). For every stationary state,
the flow rate g is constant. Hence, the density p satisfies the ordinary differential
equation

1
(@ p* —gM)pe = —204lqlp — a’p gh’,

where 6 = A/D. Separation of variables yields

2.2 .2 2

a“c — A~

/1 < 2q3 Jprdx = —x+C.
204qlqlp +a*pigh

For horizontal pipes (i.e., for i’ = 0), we get a constant solution p if ¢ = 0 and for
q # 0 we have

2 2.2 2si R
/(acp_ Slgn(Q))pxdx:—x+C.
0qlq] Op
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This yields the implicit solution

a*c* , _ sign(g)

0 In(p?) = —x + C. (5.22)
0qlql 0

By multiplication with g we obtain

2.2

a’c
ﬁp — |gIn(p?) =0 g(—x + C)

and, hence, we have the equation

1 ~
ﬁa ?p* —lglIn(a*c*p*) + |g| In(@*c*) = 0 g (—x + C).

Therefore,

2 2
(acﬁ) — ln((acg) ) = sign(q) (—x + C) — In(a>c?) + In(g?).
q

With the auxiliary variable £ = (acp/q)?, for which in the subcritical case & €
(1, 00), we obtain

—& +1In(€) = 0sign(q) (x — C) + In(a>c?) — In(g?).
The application of the exponential function on both sides of the equation yields
exp(—£ + In(§)) = exp (9 sign(q) (x — €) + In(@2c?) — 1n(q2)) . (5.23)
Let W_;(x) denote a special branch of the Lambert W function defined as the
inverse function of x > x exp(x) forx € (—oo, —1). Thus W_;(x) < —1isdefined
forx € (—1/e, 0). For x € [—1/e, 0) we get the equation
W_i(x) = In(—x) — In(=W_;(x)).

Then we obtain from (5.23)

a262 A
—E=W, (—7 exp (9 sign(q) (x — C))) .

Hence, resubstituting £ and solving for p we get

p= |q|—\/ A 1 S (0 sign@)cx — C))) (5.24)



100 F.M. Hante et al.

Note that the value of C can be computed from the boundary values. For example,
with po = p(0), Eq.(5.22) implies

2
¢ = sign(q) % ((ac%) _ 1n(p§)). (5.25)

The Lambert W function W_;(x) can be computed to arbitrary precision or approx-
imated by

W_1(x) = In(=x) — In(=(n(=x) — In(=In(=x) — - --))),

see [12].

An example of a pressure-flow relation for stationary solutions obtained by such
an approximation compared to the stationary solution obtained from the lowest level
in the model hierarchy is plotted in Fig.5.3. It shows the typical behavior of the
considered dynamics that is largely determined by the source term.

It becomes apparent from the discussion in the above example that equilibria may
become singular, i.e., there is a critical length. This has severe practical implications,
as gas pipes need to be calibrated in order to avoid such singular behavior. This
becomes a critical issue for very long under-water pipes.

Stationary states are of great interest in the industrial context, as one is interested
in small variations around such equilibria if it is not possible to stay there. In that
respect, the variation y of the stationary state Y is of interest. Now, assume the sum
v :=Y + y satisfies (5.19). By (5.21), we have

Fig. 5.3 The stationary %108
pressure p = ¢2p for i’ =0
with p(0) = 6500 kPa,
¢c=340ms~!,D=1m,
and A = 0.005 on a pipe of
length £ = 30km in
dependency of

q € [0,1200]1kgs™!,
obtained by numerically
solving Eqgs. (5.24), (5.25)
(solid line) and the
approximation resulting
from (5.8) (dashed line)

p [Pa]

0 1 1 1 1 1
0 200 400 600 800 1000 1200
q [kg/s]
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9y + Ai(Yi + )y = A (Y +y)o Y + Si(Yi +y), i e,
E;(Y; +y)(nj) = Ex(Yy +y)(nj), je Zr, i,ke g,

D d0iYi+y)n) =0, je 7\ g,

iEﬂ/
Ci((Yi+y)m)), Y +y)mj),sj,u;) =0, je 2, i,ke.d;,
Bi(Yi +yi)(nj) =u;, je Fp i€,
Yi(+,0) = yio — Yio, i €I,
where, as usual x € (0, 1), t € (0, T). We define

—A;(Y; + Y3 Y; + S;(Y; + y) =2 §; (),
Ei(Y; + y)(n)) =t E:(y)(n)),
Qi (Y + y)(ny) = Qi (y)(ny),
Ci((Yi 4+ y) ), Y+ y)()), s, u) = C;(v) ), ) (), 55, u)).

(5.26)

We clearly see that, y satisfies a modified version of (5.21), where we replace each
operator with its counterpart from (5.26). Moreover, we get

S:(0) = 0.

This shows that the perturbation y of the equilibrium, which is not assumed small,
satisfies the original system with a source term that vanishes for the zero perturbation.

If the perturbations of an equilibrium are considered small, then one arrives at
a linear model. To this end, we fix the switching structure s and the controls u at
the equilibrium Y. As changing the switching structure s cannot be considered as a
small variation, we concentrate on variations v = (v;) je g, of continuous boundary
controls. A Taylor approximation in Y for all terms in (5.19) then yields

0 yi + A (Y)oyi = DS;(Y)yi, i€J,
DE;(Y;)yi(nj) = DEx(Y)y(nj), j€ Fx, i,k eI,
> dyDO:i(Y)yi(n)) =0, je 7\ 7.
ied;
DC;(Yi(n;), Yi(n;),s;, uj)(yi, y)(nj) =0, je€ Fy i keI,
DB;(Y)yi(nj) =v;, je _Zs, i€,
Yi(+,0) = yio — Yio, i €7,

Questions regarding well-posedness, controllability, stabilizability, and optimal con-
trol for these linear systems on general graphs have been considered in the literature
to a certain degree of maturity; see, e.g., [16, 52, 53, 64] and the discussion in
Sect.5.4.
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Remark 5.6 We pose some open questions:

e For the general abstract situation, the existence of an equilibrium Y to (5.19)
through (5.21) appears to be an open question.

e In general, it appears interesting to obtain full information of the set of equilibria,
e.g., connectedness or convexity, also in the case of compressors or pumps.

e How does an equilibrium for a given switching structure behave once the switching
structure changes?

e What is the sensitivity of equilibria with respect to parameter changes in general?

5.3.2 Riemann Invariants

Solutions of (5.19) can be analyzed in small neighborhoods of a given equilibrium Y.
The method of choice is the concept of semi-global classical solutions in the sense
of Li Tatsien [59]. In order to apply the theory given in [59], one needs to transform
System (5.19) into a new coordinate system which reveals a diagonal hyperbolic
differential expression. To this end, Riemann invariants are very useful. Fortunately,
in the applications, the edgewise 2-by-2 hyperbolic balance laws admit such Riemann
invariants. We consider the equations in quasilinear form:

0:yi + Ai(y)oryi = Si(yi), i €7, (5.27)
and we assume that
A;(y:) has two eigenvalues A, < 0 < A;". (5.28)

This condition is typically fulfilled in our examples: In the case of gas and fresh water
networks, it corresponds to the assumption that the flow is subsonic, in the case of
sewage networks it corresponds to the assumption that the flow is subcritical. We
denote the corresponding left eigenvectors by K?E (y;) while the right eigenvectors are
denoted by rii (y:). We impose

G =00 Il =167 =1
By definition, the Riemann invariants sii (y;) satisfy the equation
VES =07

We apply Eii from the left of (5.27) and obtain

CEYy + A D,y = LESi ().
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Clearly, using the Riemann invariants Sii, we obtain

WET =00y, 0uET =70y
and, therefore, we arrive at the system

& + AT ODBET = S (0.
Thus, the main part (the one including spatial derivatives) is diagonalized with respect
to fii. Clearly, the coupling still is present via the state variables y; and via the source
terms. In case of a perturbed equilibrium Y + y, we have eigenvalues A?(Yi + y;) of

A; (Y; + y;) and left and right eigenvectors E?E(Yi + y;)and rii(Y,- + y;), respectively.
Accordingly, %‘ii(Yi + y;) satisfy

OET AT+ y)oET = 67 (Y + 3085 (Y + yi) = ST (5.29)
We assume that we have a diffeomorphism H; such that
vi=OloDT = HE 6 = i 60, ha 6767,
together with
H™ ) = & 607 = (i O D g Oy T
We now partition the system into Riemann invariants with labels “—” and “+:

E-i=(& ,....& ) and €t := (&, ..., &) . We further introduce the diagonal
matrix

AT, E7) == diagA] (Hy (&, 60)) -+ Ay (Ho (85, 60)),
AMHVETED), A (HLEF E0))

and split A into A = (A~, AT)T with
A” = diag(A] (Hy (6 60)). o Ay (Hu (57, 67)))

and
AT =diag\{ (Hi(§],60)), .., A (Hy (65, 0)).

Moreover, we introduce the system source vector

SETE) = (ST ELED LS EED STEED, L STET EDT

Then, (5.29) can be written as
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JET + ATET,E)AE = STET, E).

We would like to express the boundary and nodal conditions in terms of the new
variables £%. In fact, we would like to have a two-point boundary value problem.
Clearly, one can impose boundary conditions at x = 0 for £, while at x = 1 we
may impose boundary conditions for £ ~. Thus, we are aiming at a reformulation of
the boundary and nodal conditions in the following way,

ET(0,1) = GM(E(0,1); 5, u) + R (t; 5, u),
E-(1,t) = G*(ET(1,1); s, u) + R*(t; 5, u),

such that, finally, the entire system (5.19) can be put into the standard format

WET + ATET,E)E = STET,E),
ET0,1) = GY(E(0,1); s, u) + R (13 5, u),

£ (L, 1) = G2 (L, 1); s, u) + R%(t; s, u), (5.30)
ET(,0) =&,
E (.0 =¢.

It is not obvious, however, how the nodal conditions included in (5.19) can be trans-
formed into the format of (5.30). We will use the particular structure, namely the
continuity conditions and the Kirchhoff-type balance condition as well as the bound-
ary conditions between two consecutive edges including a valve and a compressor
or pump, respectively,

E(Yi +y)(nj) = Ex(Ye + y)(n)), j € Fr.iske I, 1€(0,T),
D dy QY +y)n) =0, je F\ Fp 1€07),
ied;
Ci((Y; 4+ y) ), Y+ y)(n)), s5,u;) =0, j € foike I, 1€(0,T),
Bi(Yi+y)(nj) =uj, je Jp, i€Ij 1€0T)

We need to express the equilibrium Y; by the Riemann invariants éii and y; =
ly )T by the Riemann invariants Si using the mappings H and H~!. In order to
proceed we first consider a node i Jj € Zr,withd; = m. At such a node we have
the junction condition P; = P;(§",£7) = 0 with P; (S +,&7) given by

El(él +& ,51 +E) () — EnG 57 é,;+§,;)(n_;)
Ex& + &8 +5)(n) — EnGl + 556 +E6)0)

En Gl i 60 160 6, )0) — EnEF + 655, +5)(1n)
Dics dij Qi +&5.6 +&)n))
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We consider the Jacobian of P;(§ *, &™) with respect to €T evaluated at (0, 0) and
abbreviate

0 Ei(E + &7 & + £l gr=00) = 8 Er.
0+dij O:(E +ET & + &)l e)=0.0 = g+ 0;.

This yields the Jacobian

35; E2 —8&; Em
D+ P;(0,0) = : . (5.31)
aE,L Em—l _aé,,,* Em
a51'*'Q1 ag; Q2 e 85[:’71 mel ag,}’,’ Qm
Assuming that Dg+P;(0, 0) is invertible, by the implicit function theorem, there
exists a function G/ such that

£5(nj) = GI(E" ().

Remark 5.7 By the same arguments, one can consider the Jacobian D¢- P; (0, 0) of
P; with respect to £~ at the point (0, 0). By the construction of the quantities E; and
Q; it is clear that, once D¢+ P;(0, 0) is invertible, the same applies to Dg- P; (0, 0).
Thus,

Ve- G/ (0) = (det Dg+ P;(0,0)) " det Dg- P;(0, 0).

We now look at a serial node nn, j € /a, containing active elements such as valves
and compressors or pumps, respectively. We have the equation

Ci((Yi+y)my), Ye+y)n),sj,u;)) =0, je 2, i,ke S te(0,T).
Upon using the Riemann invariants, this turns into
CiE +& & +ED0), (G +ED).& +E) (), 55, 1))
=Ci (" &5 & s, u) =0.
In addition, at such nodes, we have the equation

dijQiET +ETETHED ) +di O ES +EES+E) ()
= 0§, &)+ Q& ) =0.
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Therefore, the full nodal condition for nodes containing active elements reads

_ _ Ci&" &, te—;s,u))
W‘ ‘+5 i +7 ; ) := “’] ! i l“l —
UCRLEL LN (Q[(éf,sink(s,j,sk)

Thus,

(5.32)

3+ C (s, u) 0+ C (s,
D5+Wj(0,0,0,0;s,u)=(éi /(f u) 3 /(f u))

0+ Qi g Ok

We assume again that Dg+ W;(0, 0, 0, O; s, u) is invertible for all choices of s, u. In
this case, there is also a function G/ such that

& 5D ™) = G/ (&, §)(0)); 5, w).

It is obvious that the controlled simple nodes can also be put into the desired format
without any further assumption. In the above derivations, we may always assume
that all nodes n; with d; > 2 lie at x = 0 for all adjacent arcs and all nodes n;
with d; = 2 lie at x = 1 for all adjacent arcs. This assumption can be satisfied by
artificially subdividing each arc with a passive node of degree 2. Hence, we have
established the following result.

Theorem 5.1 Assume that (5.28) holds, that (5.31) is invertible for all j € ¢,
and that (5.32) is invertible for all j € #,. Then, System (5.19) can be rewritten in
standard form (5.30).

We can verify the assumptions of Theorem 5.1 for all applications from Sect. 5.2.
We consider here exemplarily the case of sewage flow. In case of gas and fresh water,
similar arguments apply.

Example 5.5 For the shallow water equations, we have the Riemann invariants

e Qi _._/A’\/I s R
g5 = TG, )= | J oo da, g =

The diffeomorphism and its inverse are given as

& -5 =20, & g =200

| §i+_$i_ ._§i++é:i_ -1 §i+_‘§i_
w=a () o=t (Bh)
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The continuity conditions may have different formats. We choose the internal energy
and the conservation of fluxes

170\’
Ei(A;, Q) = 7 (A_) + ghi(A).

For details, see [56].

Theorem 5.1 can be seen as a key for the well-posedness of the abstract system
(5.19) and hence of all the applications mentioned above in the following sense.

Remark 5.8 We may now use the concept of semi-global classical solutions by Li
Tatsien [59] in order to show the existence of solutions of (5.30) and, hence, of (5.19),
once compatibility conditions for the data of first and second order are fulfilled and
these data are sufficiently small. We do not want to provide the full results, as these
results can be seen from the literature as particular examples of the general result
described here. See, e.g., [34, 35, 38, 40, 56, 59].

5.3.3 Discretization and Piecewise Linearization

In practical applications the switching structure, i.e., the decision driven part of the
process, becomes more and more important. As there is no “sensitivity method” for
discrete optimization problems, the process of linearization around an equilibrium
solution may not be appropriate. To tackle a problem of the form (5.19) including
switching variables, we may discretize in time and space.

For the time discretization, a typical choice is an implicit Euler scheme. To this end,
we assume that [0, T'] is replaced by grid points #o =0 < #; < --- < tx = T with
time steps At :=t11 —t., Kk =0,..., K — 1. Then, the discretized state and the
discretized controls can be written as y; , = y; (tc, ), Sj.c = Sj(te), U = u;(tc),
and the semi-discretized dynamics become

YVisert + AteAi i 1)0sVisert = AteSi iert) + Viwer i € 5,
Eiiws) ) = ExQkus) (), j € Fuy ik €7,
Z dijQiis) () =0, je Z\ 7,
i
CiGiner1 M)y Vexr1 (1)), 5j s, jes1) =0, j € Fuy ik €.,
BiGies) () =i, j € Jp i€ Fj,
Yi0(,0) = yio, 1 €7,
where x € (0, 1).
For the space discretization, various possibilities exist. For instance, in [21] an

implicit Box-Scheme is used for the applications mentioned in Sect.5.2. Such dis-
cretization schemes typically give rise to a nonlinear system of equations which
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then has to be solved. Given that the problem already involves discrete variables,
these nonlinearities can also be approximated by piecewise linear functions (see,
e.g., [60]). The idea is visualized in the left part of Fig.5.4.

An extension of this approach covers the space of feasible states for each arc with
polytopes, yielding a relaxation of the underlying nonlinear equation system; see
again the left part of Fig.5.4. These systems can then be incorporated more readily
into mixed-integer optimization problems. The outlined approach was developed in
[28] and used in various problems coming from gas and water network optimization
(see, e.g., [30, 31, 51, 61, 67]). We discuss selected results in Sect.5.4.3.

Remark 5.9 The idea of piecewise linear approximations can also be carried over to
the abstract problem (5.19) prior to discretization. Rather than relying on the notion
of linearization at some equilibrium, a piecewise linear approximation for the flux
function or a piecewise constant matrix for the quasilinear form may be reasonable.
To this end, we introduce a tesselation of the range space of the states y into a
finite set of mutually disjoint polyhedra. On each polyhedron P,, we assume that
the matrices A;(y;) are constant A?. Similarly, we assume that all matrices DE; =
E}DQ; = 0}, DC; = C?, DB; = B}, and SD; = S} are constant on that P; ; see
Fig.5.4 (right), where we give an illustration for a piecewise linear approximation
of the source term S of Euler’s momentum equation.

This turns (5.19) into a hybrid dynamical system, where the dynamics are given
by a family of affine-linear PDEs along with a discrete selection rule and solutions
are to be understood in the sense of characteristics. Model switching in the sense of
Sect. 5.2.4 can then also be included. The quality of the approximation depends on the
granularity of the tesselation. However, in continuous space and time, assuming that
the solution of the piecewise-affine dynamics can be handled in each mode, the Zeno
phenomenon, i.e., an eventual accumulation of discrete events, immediately becomes
an issue for the global existence of solutions. We provide further information and
provide some open questions in this context:

x106‘ -
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Fig. 5.4 Left Piecewise linear approximation (dashed) and relaxation (gray boxes) of the gas
pressure p according to (5.8) in dependence of the mass flow g. Right Piecewise linear approximation
of the source term S of Euler’s momentum equation
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e For scalar hyperbolic equations piecewise continuous flux functions are the base
for the so-called front-tracking method [9, 50]. For systems, the piecewise linear
approach is applied to the Riemann problem rather than the original PDE.

e Discontinuous flux functions have been considered by Adimurthi and Gowda
[2, 3].

e Control theoretical analysis is available for the case of piecewise-affine ODEs, see
e.g., [15, 71, 72].

e Hybrid dynamical PDEs in the above generality have not been studied. If piecewise
linearization is understood in a lumped sense along each edge in the network, well-
posedness and stability analysis is available in [6, 44, 46, 47, 68].

5.4 Control, Stabilization, and Optimization

In this section, we discuss controllability, stabilizability, and optimal control prob-
lems for the models of Sect.5.2. We also sketch a technique that may lead to an
applicable method. For this, we use the methods and results of Sect.5.3.

5.4.1 Controllability and Stabilizability Problems

Exact controllability and observability, nodal reachability, and feedback stabilizabil-
ity are crucial problems in control theory. Of course even more, the controls realizing
these properties are of practical relevance. In exact controllability, one wants to reach
in finite time 7 a prescribed full-state profile across a single element (pipe, canal, etc.)
or along a network thereof at process time 7 using a minimum amount of boundary
controls. Obviously, the control time in order to achieve this goal is limited below by
the speed of propagation of information along the network. In fact, the time is twice
the time a signal needs to travel from the controlled node to the farthest uncontrolled
Dirichlet or Neumann node. Exact boundary observability refers to the possibility
of reconstructing the initial data, and hence the entire state, from boundary mea-
surement. As in the previous case, the speed of propagation comes in crucially. In
the linear case, it is well-known that exact controllability and observability are dual
concepts—they are equivalent. This is not true for the nonlinear equations discussed
in this paper. A more realistic notion is that of profile nodal reachability. Here one
asks whether it is possible to achieve a prescribed time function (the “profile”) at a
given node in the network. In terms of the application we address here, this means
that one is interested whether a customer can be guaranteed to receive exactly the
gas or fresh water he or she was asking for in an appropriate time window.

For a fixed switching structure, in view of Theorem 5.1 and Remark 5.8, exact
controllability, exact observability, exact boundary profile nodal controllability, and
uniform boundary feedback stabilizability results follow along with the lines of [13,
22, 34, 35, 56, 59]. Boundary feedback stabilization with or without time delays is
typically achieved via Lyapunov-functions [7, 14, 17-19, 36].
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Further, for the variable switching structure, uniform exponential stability can be
addressed on the level of linearized models [4—6]. For linear switched systems also a
particular Lyapunov theory is available [48, 49]. The switching mechanism may also
be used for stabilization. This is demonstrated in [55] for the case when switching
only changes the boundary conditions of a linear conservation law.

Remark 5.10 Despite the many individual results that are available—noting that
there are many non-equivalent notions of controllability and observability—we sug-
gest the following open questions:

e The equivalence of the problem of exact controllability and exact observability for
quasilinear systems of hyperbolic balance equations is an open problem. Also the
relation to nodal profile controllability is unknown.

e Exact controllability or observability for systems of nonlinear hyperbolic balance
laws using switching controls is open.

e For bilinearly acting controls, as in valves, gates, compressors, or pumps, exact
controllability (observability) is very unlikely to hold. In this case approximate
controllability may be the right question to address. But this also remains open.

e Stability and stabilizability for switched nonlinear problems are open problems.

5.4.2 A Discrete-Continuous Optimal Control Problem

While feedback stabilizability providing closed-loop control is, of course, very sig-
nificant in real applications for the operation of gas, fresh water, or sewage water
networks, open-loop and hence optimal control problems are relevant for various
planning purposes. To this end, we consider the formulation of a general discrete-
continuous optimal control problem for non-stationary systems of nonlinear hyper-
bolic balance laws. Regarding our abstract model, a discrete-continuous state-control
vector (y, u, s) is feasible if it satisfies the system

M]3y + A (i) yi = Si(yi), i €S,
Ei(y)nj) = Exr)(nj), j € Zr, i,ke I},
D d0iyn) =0, je 7\ g
ics;
Ci(yi(nj), ye(nj),sj,u;) =0, je 2o, i,keI;,
Bi(y)(n;) =u;, je€ fpie g
s'(t) €{1,2,3,4}, 57 (1) € {0, 1}, i€ S, je Lo,
yi(-,0) =y, i €7,

(5.33)
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forx € (0, 1), € (0, T). We further define the cost functional

T 1 T
1(y.u.s) :=Z/O /O I (yp) do dr + Z/O S5OV ) + (1 =550 di
154

J€ Fu
T T
+ Z/ pjndi+ Y / o 1P dr
jeta’? je fal 75”0

and the bounds
E@) =0y () <y Sy (), uj ) suj<ujGs)ieS, je fal Ip)

on the state y and the continuous control variables u, which depends on the discrete
control s. With this notation, the discrete-continuous optimal control problem reads

min I(y,u,s) st (y,u,s) satisfies (5.33). (5.34)

(y,u)e&Z(s)

Remark 5.11 We note some related work:

e The problem belongs to the class of mixed-integer optimal control problems
(MIOCP) with partial differential equations. The notion of optimal switching con-
trol problems, mixed-integer dynamic optimization problems, and hybrid optimal
control problems are also used for this and related problem classes; for a discussion
see [43, 47, 68].

e If the PDE model remains fixed, with e.g., s; = 1 ors; = 2, the problem reduces to
optimal boundary control problems with hyperbolic PDE constraints and switched
boundary data; see [44, 65, 66] for related work addressing scalar cases.

e Full discretization turns the problem into a (typically very large) mixed-integer
nonlinear problem (MINLP). In the stationary case, i.e., s; = 4, or in the case of
very coarse discretizations, these can be solved using structure exploiting algo-
rithms; see Sect. 5.4.3. However, this approach suffers from the curse of dimension-
ality when discretization step sizes are reduced to fully resolve the spatiotemporal
dynamics of the system. We are therefore interested in new approaches for solving
such problems, possibly on the level of semi-discretizations (spatial or temporal),
cf. Sect.5.3.3, and using continuous optimality conditions for appropriate sub-
problems. We outline such an approach in Sect. 5.4.4 below. We note that for fixed
discrete controls the problem can be approached via optimality conditions, see
e.g., [73] for the scalar case.

5.4.3 Exemplary Computational Results for Special Cases

In this subsection, we discuss computational results for special cases to give an
overview of what is the state of the art for the applications discussed in Sect.5.2.
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We use two examples: One from gas network optimization, where we show what
state-of-the-art MINLP methods can achieve on stationary problems and one from
fresh water network optimization, where we show how instationary problems can be
tackled. In both cases, the solution approach is based on discretization and piecewise
linearization as outlined in Sect.5.3.3.

In the gas network setting, we discuss some of the results of [30]. Here, we consider
the network given in Fig.5.2. It is a real-world network operated by Open Grid
Europe GmbH and consists of 4189 passive and boundary nodes, whereof 976 are
used as boundary nodes. These nodes are connected by 3550 pipes. Additionally, the
network contains roughly 1000 non-pipe elements, notably 12 groups of compressors
and 401 valves.

In [30], the authors implement a piecewise linearization technique as discussed in
Sect. 5.3.3 for the stationary model (M* and F* in our hierarchy) and combine it with
an alternating direction method to compute accurate gas quality parameters (more
precisely, the calorific value). The method was tested on 33 real-world load scenarios
provided by Open Grid Europe GmbH. The results are shown in Table5.1. Here
the columns || Ap||so» ||Ar,;°1||oo, |Ax|loo show different error measures to evaluate
the quality of the solutions (in order: absolute error in the computed power, the
relative error in the computed power, and absolute error in the squared pressures).
The column N shows the number of iterations needed in the alternating direction
method.

In the fresh water network example, we discuss one result of Chap.4 of [61].
Here, the network used is shown in Fig.5.5. It consists of 16 pipes of 10.5 km total
length, 3 pumps, and 2 valves. There are also four storage tanks, which are not
part of the models discussed here. The load scenario is given in Fig.5.6. As pipe
model the water hammer equations (5.11) are used, i.e., M 2 and F? in our model
hierarchy. The optimal control problem is to be solved for a time horizon of one day
with a time step size of one hour. After discretization and piecewise linearization,
the resulting mixed-integer linear problem has a size of 25077 variables (10839
binary) and 25000 constraints and 19310 variables (6401 binary). The solution time
for this mixed-integer linear problem is then 41 s using standard solvers. For further
details on the methods used, we refer to Chap. 3 in [61]. This shows that for small
networks, such methods can be used to compute solutions of discrete-continuous
control problems. To achieve the goal to compute controls for larger networks in
real time these methods need to be refined or other methods need to be developed to
achieve a synthesis of the discrete and continuous aspects of the considered problems.
The idea of such a synthesis is outlined in the following section.
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Table 5.1 Computational results (taken from [30]) for the L-gas network of Open Grid Europe
GmbH; see Fig.5.2

Instance 4Pl 1A% 47 lloo N Time (s)
L-01 421 x 1071 ]0.0257 0.00 4 4131
L-02 3.63 x 1072 |0.0000 0.00 4 943
L-03 6.75 x 1072 0.0000 0.00 4 536
L-04 3.76 x 10°1 0.0151 0.00 3 460
L-05 6.64 x 1072 |0.0000 0.00 3 313
L-06 6.61 x 1072 |0.0000 0.00 3 590
L-07 6.72 x 1072 | 0.0000 0.00 3 1089
L-08 234 x 10~1 0.0029 0.00 4 2774
L-09 5.12 x 1071 0.0022 0.00 4 3968
L-10 2.58 x 10~ 0.0095 0.00 4 1514
L-11 238 x 1071 [0.0312 0.00 3 1152
L-12 453 x 1072 |0.0000 0.00 4 2752
L-13 8.38 x 10~ [0.0110 0.00 3 2637
L-14 1.83 0.0111 0.00 3 1617
L-15 1.81 x 1072 |0.0000 0.00 6 2671
L-16 249 x 1071 10.0028 0.00 3 1647
L-17 552 % 1071 |0.0110 0.00 3 1697
L-18 4.93 x 1072 |0.0000 0.00 5 3940
L-19 1.82 0.0472 0.00 3 2148
L-20 274 x 10°1 0.0124 0.00 3 2423
L-21 8.79 x 10~ |0.0111 0.00 3 2569
L-22 7.78 x 1071 |0.0111 0.00 3 2127
L-23 4.03 x 1072 |0.0000 0.00 4 1762
L-24 255 x 1071 [0.0113 0.00 3 2432
L-25 245 x 1071 0.0688 0.00 3 3090
L-26 2.71 x 1072 |0.0000 0.00 5 1705
L-27 2.27 x 1072 |0.0000 0.00 5 1175
L-28 4.45x 1071 |0.0096 0.00 3 1473
L-29 3.72%x 1071 [0.0624 0.00 3 1741
L-30 4.68 x 1072 |0.0000 0.00 4 2215
L-31 1.17 x 10=1 | 0.0061 0.00 5 3857
L-32 2.97 x 1072 |0.0000 0.00 4 1692
L-33 3.64 x 1071 0.0383 0.00 3 1805
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Fig. 5.5 An exemplary fresh water network (taken from [61])
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Fig. 5.6 Load scenario for the water network of Fig.5.5 (from [61])

5.4.4 A Decomposition Approach for Discrete-Continuous
Optimal Control

In what follows, we decompose Problem (5.34) along the continuous and discrete
controls in order to set up an iterative framework. In addition, one may also need
to decompose the network into small subnetworks, possibly consisting of single
pipes. This is the approach of domain decomposition. In optimization and control
for systems on metric graphs, domain decompositions should not only be applied
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for the sake of simulation but rather also for optimization. In the ideal case, after
decomposition, we arrive at a fully parallel set of optimization problems to solve.
Such strategies are known for elliptic and linear hyperbolic equations; see [54] for a
general reference.

Decomposition is also possible on the level of time so that in principle small time-
space units can be considered in an iterative framework. Using the abbreviation 2" :=
{0, ..., K — 1}, the optimal control problem (5.34) after time discretization reads,
with x € (0, 1),

K—1 1
TS z Z/O 1; (¥ie41) dx
ics k=0
K—1
2 2 SV W) F (=)D )
jefoz k=0

K-1 K-1
D I IR ESD SR S TP o
Jj€ L k=0 j€ fal 7p k=0
St MYt + At AT G D Vi1 = Al S; Qi) + Vigr 1 €S, kK €X,
EiQix+D)®0)) = ExOkxs1)0)), j€ Fnoike I, ke X,
> di;Qi Vi) =0. je F\ Fp ke A,
ieﬂj
CiGise1(), Vi1 (). Sj el jyeq1) =0, j € Fo. ik € Ij, kX,
Bi(Yixr1)mj)=u;, je€ fg, i€ Jj, keX,
¥i,0(,0) =y, i€,
Oke+1> Uiet1) € E(Se1), K € .

It is clear that the problem above involves all time steps in the cost functional. As a
matter of fact, even for this discrete-time optimization problem, no published method
seems to be available and the development of solution techniques for this setting is
an open and great challenge. Thus, at this point in time, we can only utilize solutions
for stationary problems. To this aim, we consider what has come to be known as
rolling horizon control or instantaneous control. The latter amounts to reduce the
sums in the cost functional of the discrete-time problem to a single time step of the
discretization. Thus, for each k € J# and given y; , we consider the problem
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1
min > / B v+ 3 st @) + (= 55 000 01)
0

ied J€ L
+ D oG+ D lujenl?
J€Hu Jj€ LU I

St M st + AL AT Qi) ik+1 = AteSi Qi) + Yiw, 1 €7,
Ei(yi,K+l)(l’lj) = Ek(yk,,(H)(nj), j € /ﬂ’ i,k e (ﬂj’
ZdijQi()’i,K+1)(nj) =0, je_Z\ 75

ied;

CiQint 1))y Y1), Sjueq, Ujueg1) =0, je _Zo, ik e S,

Bi(Viks)(nj) =ui, j€ Jp, i€ 7,

Va1 1) € E(Sier1)s

(5.35)

where x € (0, 1) and where we optimize over y,1, U,+1, Sc+1. Problem (5.35) is a
nonlinear optimization problem that is constrained by a system of ordinary differen-
tial equations on a graph. It contains discrete control variables s, and continuous
control variables u,. Thus, (5.35) is still in the format of a mixed-integer optimal
control problem (MIOCP); cf. Remark 5.11. For the rest of this section, we give a
sketch of a two-stage method that may be used to solve problems like (5.35). Our
aim is to decompose the problem such that we have two problems that are easier to
solve and that allow to design iterative algorithms with convergence or termination
guarantees. To this end, we set up a master problem that optimizes the discrete control
variables s;, j € _Zq, for fixed continuous control variables u;, j € #, U #g,and
a subproblem that optimizes a continuous control u# given a fixed discrete control s.

Typically, optimizing with respect to discrete controls is harder than optimizing
with respect to continuous controls. This is why one often wants to simplify the
physical model of the master problem. This model may be chosen as, e.g., s; = 4
for all i € .#, yielding Ml.4 , Af. Once this MIOCP is solved for (y, s), the optimal
switching structure is delivered to the subproblem, where the more complicated
physical model, i.e., s; < 4 foralli € .#, is optimized with respect to the continuous
control variables # and a new state y. The optimal state of the master problem will
typically be infeasible for the subproblem. Thus, there will be an error and one has
to design a mechanism that drives this error to zero in the course of an iterative
algorithm.

For a more detailed discussion, we now state the master and the subproblem.
The master problem is obtained by (5.35) with the continuous control u fixed to u.
Moreover, we assume that the data y; , for all i € .# from the last time step is given.
This yields the optimization problem
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1
min 2/ 1 (yije1) dx + Z St ¥} W) + (1= i)V (@ 1)
0

S.t.

ied J€ Fu
+ > psjaern)

je S
My i1 4 At AT Dt ) Vi 1 = AteSi Viser1) + Viws 1 €7,
Eiier))) = ExOkier) (1)), j € Fn, ik € .55,
> dy QiGis)) =0, j € 7\ 7,
icd
Ciins1()), Vewr 1)), Sjuer1s lhjy1) =0, j € Lo, ik eI,
Bi(yiws) () =ity j € Fp, i€ 7,

Oiet15 Uiey1) € E(Sic41)
(5.36)

in y.y1 and s,41. Let now (3, §) be an optimal pair of (5.36) for fixed u = iz. The
subproblem (in the continuous variables y,; and u,; and for given y,) is then

given by

1
min Z/ LOier)dx + D 851 W) + (1= 8 D) Wjer1)
0

S.t.

iedf J€ Fa
+ > e’

J€ Y 7
M yi i1+ Dt AY i) Viser1 = AteSi Viger1) + Yies 1 €S,
Eiies))) = Exicr) (), j € Fn, ik € .5,
ZdijQi(yi,K+l)(nj) =0, je 7\ 7,
ic.s
éj(yi,l(-&-l(nj)a Vert1), Sjwrt i) =0, j€ Lo, i keI,
BiGis)(n)) =ui, j€ Fp i€ g

()’K+1» MK+1) € E(§K+1)s
(5.37)

where we fixed the discrete control s to §.

We now receive an optimal pair (y*, u*) for the continuous nonlinear optimal
control problem (5.37) and the errors e, := || — y*|| and e, := ||lit — u*|. Clearly,
in the next iteration we set u = u™.

If we neglect that we would like to choose different models for our hierarchy of
ODEs in the master and subproblem, we mainly constructed a primal alternating
direction method: We split the variables and solved the problem for one block of the
variables, fixed the result, and solved the problem for the other block of the variables.
Such an iterative procedure is closely related to general alternating direction methods
(ADMs). ADMs have originally been proposed in the context of nonlinear variational
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problems in [27, 33] and have been also used recently for the optimization of large-
scale real-world mixed-integer stationary gas transport problems; see, Sect. 5.4.3 and,
e.g., [30, 31].

Another way to interpret the sketched iterative procedure is as a method related to
generalized Benders decomposition; see [8, 32]. However, some additional assump-
tions must be made and some additional techniques have to be designed if one wants
to embed the decomposition in a Benders-like framework. First of all, the master
problem has to be a relaxation of the overall problem. This is not given if one sim-
ply chooses a coarser physics model in (5.36), since this does not translate into an
embedding of the corresponding feasible sets. A possible remedy would be to use a
relaxation, e.g., given by a suitably chosen outer approximation; see [23, 24]. Addi-
tionally, we also have to construct Benders-like feasibility cuts (in the case of an
infeasible subproblem for a given discrete control §) and optimality cuts (in case of
a feasible subproblem). Since the overall problem, as well as both the master and the
subproblem, are inherently nonconvex, standard Benders cuts are not globally valid
and one thus has to derive problem-specific cuts; see [69].

Remark 5.12 The program outlined above is widely open. No general procedure is
known, no convergence results shown on this general level. This can safely be said
to be an open challenge for the discrete-continuous optimization community. More
specifically, one has to answer the following questions:

e Consider a master problem that—after suitable relaxation of the ODE—is a mixed-
integer linear or nonlinear problem (MIP or MINLP) and that can be solved to
global optimality. Assume further that the subproblem can be solved to global
optimality as well. Under which conditions is it true that the alternation between
master problem and subproblem converges and if it does, is the solution globally
optimal?

e What is the right way to introduce Benders-like cuts in the master problem in order
to take into account (in)feasibility of the subproblem?

e Can one provide special examples for this Benders-type decomposition, where the
questions above can be answered positively!

Alluding to the last point, we can provide a first result in [39], where the authors
exploit MIP and MINLP techniques that have been intensively discussed in [25, 62,
63, 67] and [20, 29, 60] in the context of gas transport problems. A more general
but related approach is given in the recent paper [11].

Acknowledgements The authors thank the Deutsche Forschungsgemeinschaft for their support
within projects A03, A0S, BO7, and BOS8 in the Sonderforschungsbereich/Transregio 154 Mathe-
matical Modeling, Simulation and Optimization using the Example of Gas Networks. In addition,
parts of this research were performed as part of the Energie Campus Niirnberg and supported by
funding through the “Aufbruch Bayern (Bavaria on the move)” initiative of the state of Bavaria.



5 Challenges in Optimal Control Problems for Gas ... 119

References

10.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

. Abreu, J., Cabrera, E., Izquierdo, J., Garcia-Serra, J.: Flow modeling in pressurized systems

revisited. J. Hydraul. Eng. 125(11), 1154-1169 (1999)

. Adimurthi, Veerappa Gowda, G.D.: Conservation law with discontinuous flux. J. Math. Kyoto

Univ. 43(1), 27-70 (2003)

. Adimurthi, Mishra, S.: Optimal entropy solutions for conservation laws with discontinuous

flux-functions. J. Hyperbolic Differ. Equ. 2(4), 783-837 (2005)

. Amin, S., Hante, EM., Bayen, A.M.: On stability of switched linear hyperbolic conservation

laws with reflecting boundaries. In: Hybrid Systems: Computation and Control, vol. 4981.
Lecture Notes in Computer Science, pp. 602—605. Springer (2008)

. Amin, S., Hante, FM., Bayen, A.M.: Stability analysis of linear hyperbolic systems with

switching parameters and boundary conditions. In: 47th IEEE Conference on Decision and
Control, 2008, CDC 2008, pp. 2081-2086. IEEE (2008)

. Amin, S, Hante, EM., Bayen, A.M.: Exponential stability of switched linear hyperbolic initial-

boundary value problems. IEEE Trans. Autom. Control 57(2), 291-301 (2012)

. Bastin, G., Coron, J.-M.: On boundary feedback stabilization of non-uniform linear 2 x 2

hyperbolic systems over a bounded interval. Syst. Control Lett. 60(11), 900-906 (2011)

. Jacques, F.: Benders. Partitioning procedures for solving mixed-variables programming prob-

lems. Numerische Mathematik 4(1), 238-252 (1962)

. Bressan, A., Shen, W.: Optimality conditions for solutions to hyperbolic balance laws. In:

Control Methods in PDE-Dynamical Systems, vol. 426. Contemporary Mathematics, pp. 129—
152. American Mathematical Society, Providence, RI (2007)

Brouwer, J., Gasser, 1., Herty, M.: Gas pipeline models revisited: model hierarchies, nonisother-
mal models, and simulations of networks. Multiscale Model. Simul. 9(2), 601-623 (2011)

. Buchheim, C., Meyer, C., Schifer, R.: Combinatorial optimal control of semilinear elliptic

PDEs. Technical report, Fakultit fiir Mathematik, TU Dortmund (2015)

Corless, R.M., Gonnet, G.H., Hare, D.E.G., Jeffrey, D.J., Knuth, D.E.: On the Lambert W
function. Adv. Comput. Math. 5(4), 329-359 (1996)

Coron, J.-M., Glass, O., Wang, Z.: Exact boundary controllability for 1-D quasilinear hyperbolic
systems with a vanishing characteristic speed. SIAM J. Control Optim. 48(5), 3105-3122
(2009)

Coron, J.-M., Vazquez, R., Krstic, M., Bastin, G.: Local exponential H 2 gtabilization of a2 x 2
quasilinear hyperbolic system using backstepping. SIAM J. Control Optim. 51(3), 2005-2035
(2013)

Daafouz, J., Di Benedetto, M.D., Blondel, V.D., Ferrari-Trecate, G., Hetel, L., Johansson, M.,
Juloski, A.L., Paoletti, S., Pola, G., De Santis, E., Vidal, R.: Switched and piecewise affine
systems. In: Handbook of Hybrid Systems Control, pp. 87-137. Cambridge University Press,
Cambridge (2009)

Dager, R., Zuazua, E.: Wave Propagation, Observation and Control in 1-d Flexible Multi-
Structures, vol. 50. Mathématiques & Applications (Berlin). Springer, Berlin (2006)

Dick, M., Gugat, M., Herty, M., Leugering, G., Steffensen, S., Wang, K.: Stabiliza-
tion of networked hyperbolic systems with boundary feedback. In: Trends in PDE Con-
strained Optimization, vol. 165. International Series of Numerical Mathematics, pp. 487-504.
Birkhduser/Springer, Cham (2014)

Dick, M., Gugat, M., Leugering, G.: Classical solutions and feedback stabilization for the gas
flow in a sequence of pipes. Netw. Heterog. Media 5(4), 691-709 (2010)

Dick, M., Gugat, M., Leugering, G.: A strict H 1 -Lyapunov function and feedback stabilization
for the isothermal Euler equations with friction. Numer. Algebra Control Optim. 1(2), 225-244
(2011)

Domschke, P., Geifiler, B., Kolb, O., Lang, J., Martin, A., Morsi, A.: Combination of nonlinear
and linear optimization of transient gas networks. INFORMS J. Comput. 23(4), 605-617 (2011)
Domschke, P., Kolb, O., Lang, J.: Adjoint-based error control for the simulation and optimiza-
tion of gas and water supply networks. Appl. Math. Comput. 259, 1003-1018 (2015)



120

22.

23.

24.

25.

26.

217.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

F.M. Hante et al.

Dos Santos, V., Bastin, G., Coron, J.-M., d’Andréa Novel, B.: Boundary control with integral
action for hyperbolic systems of conservation laws: stability and experiments. Autom. J. IFAC
44(5), 1310-1318 (2008)

Duran, M.A., Grossmann, I.E.: An outer-approximation algorithm for a class of mixed-integer
nonlinear programs. Math. Program. 36(3), 307-339 (1986)

Fletcher, R., Leyffer, S.: Solving mixed integer nonlinear programs by outer approximation.
Math. Program. 66(1), 327-349 (1994)

Fiigenschuh, A., Gottlich, S., Herty, M., Klar, A., Martin, A.: A discrete optimization approach
to large scale supply networks based on partial differential equations. SIAM J. Sci. Comput.
30(3), 1490-1507 (2008)

Fiigenschuh, A., GeiBller, B., Gollmer, R., Morsi, A., Pfetsch, M.E., Rovekamp, J., Schmidt,
M., Spreckelsen, K., Steinbach, M.C.: Physical and technical fundamentals of gas networks.
In: Koch, et al. [51], Chap. 2, pp. 17-44

Gabay, D., Mercier, B.: A dual algorithm for the solution of nonlinear variational problems via
finite element approximation. Comput. Math. Appl. 2(1), 1740 (1976)

Geiller, B., Martin, A., Morsi, A., Schewe, L.: Using piecewise linear functions for solving
MINLPs. In: Lee, J., Leyffer, S. (eds.) Mixed Integer Nonlinear Programming. The IMA Vol-
umes in Mathematics and its Applications, vol. 154, pp. 287-314. Springer, New York (2012)
Geilller, B., Kolb, O., Lang, J., Leugering, G., Martin, A., Morsi, A.: Mixed integer linear
models for the optimization of dynamical transport networks. Math. Methods Oper. Res. 73(3),
339-362 (2011)

Geiller, B., Morsi, A., Schewe, L., Schmidt, M.: Solving power-constrained gas transportation
problems using an MIP-based alternating direction method. Comput. Chem. Eng. 82, 303-317
(2015)

Geiller, B., Morsi, A., Schewe, L., Schmidt, M.: Solving highly detailed gas transport MINLPs:
block separability and penalty alternating direction methods. Technical report, 07 (2016)
Geoffrion, A.M.: Generalized benders decomposition. J. Optim. Theory Appl. 10(4), 237-260
(1972)

Glowinski, R., Marroco, A.: Sur I’approximation, par éléments finis d’ordre un, et la résolu-
tion, par pénalisation-dualit¢ d’une classe de problemes de dirichlet non linéaires. ESAIM:
Mathematical Modelling and Numerical Analysis - Modélisation Mathématique et Analyse
Numérique, 9(R2), 41-76 (1975)

Gugat, M., Leugering, G.: Global boundary controllability of the de St. Venant equations
between steady states. Annales de I’Institut Henri Poincare (C) Non Linear Analysis 20(1),
1-11 (2003)

Gugat, M., Leugering, G.: Global boundary controllability of the Saint-Venant system for
sloped canals with friction. Annales de 1’Institut Henri Poincare (C) Non Linear Analysis
26(1), 257-270 (2009)

Gugat, M., Dick, M., Leugering, G.: Stabilization of the gas flow in star-shaped networks by
feedback controls with varying delay. In: System Modeling and Optimization, vol. 391. IFIP
Advances in Information and Communication Technology, pp. 255-265. Springer, Heidelberg
(2013)

Gugat, M., Hante, FM., Hirsch-Dick, M., Leugering, G.: Stationary states in gas networks.
Netw. Heterog. Media 10(2), 295-320 (2015)

Gugat, M., Leugering, G., Georg Schmidt, E.J.P.: Global controllability between steady super-
critical flows in channel networks. Math. Methods Appl. Sci. 27(7), 781-802 (2004)

Gugat, M., Leugering, G., Martin, A., Schmidt, M., Sirvent, M., Wintergerst, D.: Towards sim-
ulation based mixed-integer optimization with differential equations. Technical report, Preprint
FAU (2016, submitted)

Gugat, M., Leugering, G., Schittkowski, K., Georg Schmidt, E.J.P.: Modelling, stabilization,
and control of flow in networks of open channels. In: Online Optimization of Large Scale
Systems, pp. 251-270. Springer, Berlin (2001)

Gugat, M., Schultz, R., Wintergerst, D.: Networks of pipelines for gas with nonconstant com-
pressibility factor: stationary states. In: Computational and Applied Mathematics, pp. 1-32
(2016)



5 Challenges in Optimal Control Problems for Gas ... 121

42.

43.

44,

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

56.

57.
58.

59.

60.

61.

62.

63.

64.

65.

Gugat, M., Wintergerst, D.: Finite time blow-up of traveling wave solutions for the flow of real
gas through pipeline networks (2016)

Hante, F.M.: Relaxation methods for hyperbolic PDE mixed-integer optimal control problems.
ArXiv e-prints, 09 (2015)

Hante, FM., Leugering, G.: Optimal boundary control of convention-reaction transport systems
with binary control functions. Hybrid Systems: Computation and Control. Lecture Notes in
Computer Science, vol. 5469, pp. 209-222. Springer, Berlin (2009)

Hante, EM., Leugering, G., Seidman, T.I.: Modeling and analysis of modal switching in net-
worked transport systems. Appl. Math. Optim. 59(2), 275-292 (2009)

Hante, EM., Leugering, G., Seidman, T.I.: An augmented BV setting for feedback switching
control. J. Syst. Sci. Complex. 23(3), 456—466 (2010)

Hante, EM., Sager, S.: Relaxation methods for mixed-integer optimal control of partial differ-
ential equations. Comput. Optim. Appl. 55(1), 197-225 (2013)

Hante, EM., Sigalotti, M.: Existence of common Lyapunov functions for infinite-dimensional
switched linear systems. In: 49th IEEE Conference on Decision and Control (CDC) 2010, CDC
2010, pp. 5668-5673. IEEE (2010)

Hante, F.M., Sigalotti, M.: Converse Lyapunov theorems for switched systems in Banach and
Hilbert spaces. SIAM J. Control Optim. 49(2), 752-770 (2011)

Holden, H., Risebro, N.H.: Front tracking for hyperbolic conservation laws. In: Applied Math-
ematical Sciences, vol. 152, second edn. Springer, Heidelberg (2015)

Koch, T., Hiller, B., Pfetsch, M.E., Schewe, L. (eds.): Evaluating Gas Network Capacities.
SIAM-MOS series on Optimization. SIAM (2015)

Lagnese, J.E., Leugering, G., Schmidt, E.J.P.G.: On the analysis and control of hyperbolic
systems associated with vibrating networks. Proc. Roy. Soc. Edinburgh Sect. A 124(1), 77—
104 (1994)

Lagnese, J.E., Leugering, G., Schmidt, E.J.P.G.: Modeling, analysis and control of dynamic
elastic multi-link structures. In: Systems & Control: Foundations & Applications. Birkhduser
Boston, Inc., Boston (1994)

Lagnese, J.E., Leugering, G.: Domain decomposition methods in optimal control of partial
differential equations, vol. 148. International Series of Numerical Mathematics. Birkhduser
Verlag (2004)

Lamare, P.-O., Girard, A., Prieur, C.: Switching rules for stabilization of linear systems of
conservation laws. SIAM J. Control Optim. 53(3), 1599-1624 (2015)

Leugering, G., Georg Schmidt, E.J.P.: On the modelling and stabilization of flows in networks
of open canals. SIAM J. Control Optim. 41(1), 164—180 (2002)

LeVeque, R.J.: Numerical Methods for Conservation Laws. Birkhéuser (1992)

Le Veque, R.J.: Finite Volume Methods for Hyperbolic Problems. Cambridge University Press
(2002)

Li, T.: Controllability and observability for quasilinear hyperbolic systems, vol. 3. AIMS Series
on Applied Mathematics. American Institute of Mathematical Sciences (AIMS), Springfield,
MO; Higher Education Press, Beijing (2010)

Mabhlke, D., Martin, A., Moritz, S.: A mixed integer approach for time-dependent gas network
optimization. Optim. Methods Softw. 25(4-6), 625-644 (2010)

Martin, A., Klamroth, K., Lang, J., Leugering, G., Morsi, A., Oberlack, M., Ostrowski, M.,
Rosen, R., (eds.): Mathematical Optimization of Water Networks. Birkhauser (2012)

Martin, A., Méller, M., Moritz, S.: Mixed integer models for the stationary case of gas network
optimization. Math. Program. 105(2-3, Ser. B), 563-582 (2006)

Morsi, A., GeiBler, B., Martin, A.: Mixed integer optimization of water supply networks. In:
Mathematical Optimization of Water Networks, vol. 162. International Series of Numerical
Mathematics, pp. 35-54. Birkhéduser/Springer Basel AG, Basel (2012)

Nicaise, S.: Control and stabilization of 2x2 hyperbolic systems on graphs. Technical report,
Université de Valenciennes et du Hainaut Cambrésis (2016). To appear in MCRF 2017

Pfaff, S., Ulbrich, S.: Optimal boundary control of nonlinear hyperbolic conservation laws with
switched boundary data. SIAM J. Control Optim. 53(3), 1250-1277 (2015)



122

66.

67.

68.

69.

70.

71.

72.

73.

F.M. Hante et al.

Pfaff, S., Ulbrich, S., Leugering, G.: Optimal control of nonlinear hyperbolic conservation laws
with switching. In: Trends in PDE constrained optimization, vol. 165. International Series of
Numerical Mathematics, pp. 109-131. Birkhéduser/Springer, Cham (2014)

Pfetsch, M.E., Fiigenschuh, A., GeiBler, B., GeiBller, N., Gollmer, R., Hiller, B., Humpola,
J., Koch, T., Lehmann, T., Martin, A., Morsi, A., Rovekamp, J., Schewe, L., Schmidt, M.,
Schultz, R., Schwarz, R., Schweiger, J., Stangl, C., Steinbach, M.C., Vigerske, S., Willert,
B.M.: Validation of nominations in gas network optimization: models, methods, and solutions.
Optim. Methods Softw. 30(1), 15-53 (2015)

Riiffler, F., Hante, F.M.: Optimal switching for hybrid semilinear evolutions. Nonlinear Anal.
Hybrid Syst. 22, 215-227 (2016)

Sahinidis, N.V., Grossmann, L.LE.: Convergence properties of generalized benders decomposi-
tion. Comput. Chem. Eng. 15(7), 481-491 (1991)

Smoller, J.: Shock Waves and Reaction-Diffusion Equations, vol. 258. Grundlehren der math-
ematischen Wissenschaften. Springer Verlag (1983)

Sontag, E.: From linear to nonlinear: some complexity comparisons. In: 1995 Proceedings of
the 34th IEEE Conference on Decision and Control, vol. 3, pp. 2916-2920. IEEE (1995)
Sontag, E.D.: Nonlinear regulation: the piecewise linear approach. IEEE Trans. Autom. Control
26(2), 346-358 (1981)

Ulbrich, S.: A sensitivity and adjoint calculus for discontinuous solutions of hyperbolic con-
servation laws with source terms. SIAM J. Control Optim. 41(3), 740797 (2002). (electronic)



	5 Challenges in Optimal Control Problems  for Gas and Fluid Flow in Networks  of Pipes and Canals: From Modeling  to Industrial Applications
	5.1 Introduction
	5.2 Modeling of Flow in Pipes and Open Canals
	5.2.1 Gas Flow
	5.2.2 Fresh Water Systems
	5.2.3 Modeling Sewage Flow
	5.2.4 Abstract Model

	5.3 System-Theoretical Results
	5.3.1 Equilibria and Linearization
	5.3.2 Riemann Invariants
	5.3.3 Discretization and Piecewise Linearization

	5.4 Control, Stabilization, and Optimization
	5.4.1 Controllability and Stabilizability Problems
	5.4.2 A Discrete-Continuous Optimal Control Problem
	5.4.3 Exemplary Computational Results for Special Cases
	5.4.4 A Decomposition Approach for Discrete-Continuous Optimal Control

	References


