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Preface

We are proud to present the set of final accepted papers of the 12th edition
of the IWANN conference—International Work-Conference on Artificial Neural
Networks—held in Puerto de la Cruz, Tenerife (Spain), during June 12-14, 2013.

IWANN is a biennial conference that seeks to provide a discussion forum for
scientists, engineers, educators, and students on the latest ideas and realizations
in the foundations, theory, models, and applications of hybrid systems inspired
on nature (neural networks, fuzzy logic and evolutionary systems) as well as in
emerging areas related to the above items. It also aims to create a friendly en-
vironment that could lead to the establishment of scientific collaborations and
exchanges among attendees. The proceedings include all the presented commu-
nications at the conference. The publication of an extended version of selected
papers in a special issue of several specialized journals (such as Neurocomputing,
Soft Computing and Neural Proccesing Letters) is also foreseen. Since the first
edition in Granada (LNCS 540, 1991), the conference has evolved and matured.
The list of topics in the successive Call for Papers has also evolved, resulting in
the following list for the present edition:

1. Mathematical and theoretical methods in computational intelli-
gence. Mathematics for neural networks. RBF structures. Self-organizing
networks and methods. Support vector machines and kernel methods. Fuzzy
logic. Evolutionary and genetic algorithms.

2. Neurocomputational formulations. Single-neuron modelling. Perceptual
modelling. System-level neural modelling. Spiking neurons. Models of bio-
logical learning.

3. Learning and adaptation. Adaptive systems. Imitation learning. Recon-
figurable systems. Supervised, non-supervised, reinforcement and statistical
algorithms.

4. Emulation of cognitive functions. Decision making. Multi-agent systems.
Sensor mesh. Natural language. Pattern recognition. Perceptual and motor
functions (visual, auditory, tactile, virtual reality, etc.). Robotics. Planning
motor control.

5. Bio-inspired systems and neuro-engineering. Embedded intelligent
systems. Evolvable computing. Evolving hardware. Microelectronics for neu-
ral, fuzzy and bioinspired systems. Neural prostheses. Retinomorphic sys-
tems. Brain-computer interfaces (BCI). Nanosystems. Nanocognitive sys-
tems.

6. Advanced topics in computational intelligence. Intelligent networks.
Knowledge-intensive problem-solving techniques. Multi-sensor data fusion
using computational intelligence. Search and meta-heuristics. Soft comput-
ing. Neuro-fuzzy systems. Neuro-evolutionary systems. Neuro-swarm. Hy-
bridization with novel computing paradigms.
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7. Applications. Expert Systems. Image and Signal Processing. Ambient intel-
ligence. Biomimetic applications. System identification, process control, and
manufacturing. Computational Biology and bioinformatics. Parallel and dis-
tributed computing. Human-computer Interaction, Internet modeling, com-
munication and networking. Intelligent systems in education. Human-robot
interaction. Multi-agent Systems. Time series analysis and prediction. Data
mining and knowledge discovery.

At the end of the submission process, and after a careful peer review and eval-
uation process (each submission was reviewed by at least 2, and on average 2.9,
Program Committee members or additional reviewers), 116 papers were accepted
for oral or poster presentation, according to the recommendations of reviewers
and the authors’ preferences.

It is important to note, that for the sake of consistency and readability of
the book, the presented papers are not organized as they were presented in the
IWANN 2013 sessions, but are classified into 16 chapters. The organization of
the papers is in two volumes arranged following the topics list included in the call
for papers. The first volume (LNCS 7902), entitled Advances in Computational
Intelligence. Part Iis divided into nine main parts and includes the contributions
on:

Invited Talks to IWANN 2013

Applications of Computational Intelligence

Hybrid Intelligent Systems

Kernel Methods and SVM

Learning and Adaptation

Mathematical and Theorical Methods in Computational Intelligence
Data Mining with Evolutionary Computation and ANN
Self-Organizing Network

Advances in Computational intelligence

© XN OUE W=

In the second volume (LNCS 7903), entitled Advances in Computational Intel-
ligence. Part Il is divided into seven main parts and includes the contributions
on:

Metaheuristics

Bioinformatics/Biomedicine in Computational Intelligence

Fuzzy Logic and Soft Computing Applications

Artificial Intelligence and Games

Biological and Bio-inspired Dynamical Systems for Computational Intelli-
gence

6. Brain-Computer Interfaces and Neurotechnologies

7. Video and Image Processing

Sl o=

The 12th edition of the IWANN conference was organized by the University
of Granada, University of Malaga, Polytechnical University of Catalonia, and
University of La Laguna, together with the Spanish Chapter of the IEEE Com-
putational Intelligence Society. We wish to thank to the Spanish Ministerio de
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Ciencia e Innovacion and the University of La Laguna for their support and
grants.

We would also like to express our gratitude to the members of the different
committees for their support, collaboration, and good work. We especially thank
the Local Committe, Program Committe, the reviewers, and special session or-
ganizers. Finally, we want to thank Springer, and especially Alfred Hoffman and
Anna Kramer for their continuous support and cooperation.

June 2013 Ignacio Rojas
Gonzalo Joya
Joan Cabestany
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Abstract. Growing models have been widely used for clustering or
topology learning. Traditionally these models work on stationary envi-
ronments, grow incrementally and adapt their nodes to a given distribu-
tion based on global parameters. In this paper, we present an enhanced
unsupervised self-organising network for the modelling of visual objects.
We first develop a framework for building non-rigid shapes using the
growth mechanism of the self-organising maps, and then we define an
optimal number of nodes without overfitting or underfitting the network
based on the knowledge obtained from information-theoretic considera-
tions. We present experimental results for hands and we quantitatively
evaluate the matching capabilities of the proposed method with the
topographic product.

Keywords: Minimum Description Length, Self-organising networks,
Shape Modelling.

1 Introduction

In any learning framework, it is very crucial the initialisation of the object. The
main task is to find a suitable segmentation that separates the object of interest
from the background. Segmentation is a pre-processing step in many computer
vision applications. These applications include visual surveillance [2[5/9/11], and
object tracking [II7IRIT6]. While a lot of research has been focused on efficient
detectors and classifiers, little attention has been paid to efficiently labeling and
acquiring suitable training data. Existing approaches to minimise the labeling
effort [LO/T2/T5HIT8] use a classifier which is trained in a small number of examples.
Then the classifier is applied on a training sequence and the detected patches
are added to the previous set of examples. Levin et al. [12] start with a small
set of hand labeled data and generate additional labeled examples by applying
co-training of two classifiers. Nair and Clark [15] use motion detection to obtain
the initial training set. Lee et al. [I2] use a variant of eigentracking to obtain the
training sequence for face recognition and tracking. Sivic et al. [18] use boosting
orientation-based features to obtain training samples for their face detector.

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 1-[[0] 2013.
(© Springer-Verlag Berlin Heidelberg 2013
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A disadvantage of these approaches is that either a manual initialization [I0]
or a pre-trained classifier is needed to initialise the learning process. Having a
sequence of images this can be avoided by using an incremental model. One of
the most important characteristics of the GNG is that it does not require the
restarting of the initialisation of the network for every image in a sequence of k
frames.

In this paper, we are interested in the minimisation of the user interven-
tion in the learning process of the network by utilising an automatic criterion
for maximum node growth in the GNG network based on different parameters.
We achieve that by taking into consideration that human skin has a relatively
unique colour and the complexity or simplicity of the proposed model is decided
by information-theoretic measures. The remainder of the paper is organised as
follows. Section 2 introduces the framework for object modelling using topolog-
ical relations. Section 3 proposes an approach to minimise the user intervention
in the termination of the network using knowledge obtained from information-
theoretic considerations. In Section 4 our method is applied to real and artificial
shapes before conclusions are drawn in Section 5.

2 Characterising 2D Objects Using GNG

GNG [] is an unsupervised incremental self-organising network independent of
the topology of the input distribution or space. It uses a growth mechanism inher-
ited from the Growth Cell Structure [3] together with the Competitive Hebbian
Learning (CHL) rule [13] to construct a network of the input date set. In GNG,
the growing process starts with two nodes, and new nodes are incrementally in-
serted until a predefined conditioned is satisfied, such as the maximum number
of nodes or available time. During the learning process local error measures are
gathered to determine where to insert new nodes. New nodes are inserted near
the node with the highest accumulated error and new connections between the
winner node and its topological neighbours are created.

Identifying the points of the image that belong to objects allows the GNG
network to obtain an induced Delaunay triangulation of the objects. In other
words, to obtain an approximation of the geometric appearance of the object.
Let an object O = [Og, O4] be defined by its geometry and its appearance. The
geometry provides a mathematical description of the object’s shape, size, and
parameters such as translation, rotation, and scale. The appearance defines a
set of object’s characteristics such as colour, texture, and other attributes.

Given a domain S C R?, an image intensity function I(z,y) € R such that
I:S — [0,L,4z), and an object O, its standard potential field ¥p(z,y) =
fr(I(z,y)) is the transformation ¥r : S — [0, 1] which associates to each point
(z,y) € S the degree of compliance with the visual property T of the object O
by its associated intensity I(z,y).

Considering:

— The input distribution as the set of points in the image:

A=S (1)
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Ew = (z,y) €S (2)

— The probability density function according to the standard potential field
obtained for each point of the image:

p(gw) = p(x,y) = WT(x’y) (3)

During this learning process, the neural network is obtained which preserves
the topology of the object O from a certain feature T'. Therefore, from the
visual appearance O4 of the object is obtained an approximation to its geo-
metric appearance Og. To speed up the learning we used the faster Manhattan
distance [6JI4] compared to the Euclidean distance in the original algorithm.
Figure [[lshows shapes extracted from the Columbia Object Image Library (coil-
100) dataset and their corresponding modified GNG networks. The 100 object
coil-100 dataset consists of colour images of 72 different poses for each object.
The poses correspond to 5° rotation intervals.
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Fig. 1. First shape of each of the first 10 objects in coil-100, showing the original image,
the thresholded region, and the modified GNG contour representation

3 Adaptive Learning

The determination of accurate topology preservation, requires the determination
of best similarity threshold and best network map without overfitting. Let 2(x)
denote the set of pixels in the objects of interest based on the configuration of
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z (e.g. colour, texture, etc.) and 7 the set of all image pixels. The likelihood of
the required number of nodes to describe the topology of an image y is:

ple) ={ J] powin(@) [ porga(®)

u€eN(x) veY\2(x)

Pskin (U)
< ] }rer (4)
we(z) Pokgd (W) + Dskin (1)

and ep < Hueﬂ(m) Dskin (u) + HUET\Q(I) Dkgd(V). er is a similarity threshold
and defines the accuracy of the map. If er is low the topology preservation is
lost and more nodes need to be added. On the contrary, if er is too big then
nodes have to be removed so that Voronoi cells become wider. We can describe
the optimum number of similarity thresholds, required for the accuracy of the
map for different objects, as the unknown clusters K, and the network parame-
ters as the mixture coefficients Wy, with d-dimensional means and covariances
Ok. To do that, we use a heuristic criterion from statistics known as the Min-
imum Description Length (MDL) [I7]. Such criteria take the general form of a
prediction error, which consists of the difference of two terms:

E = model likelihood — complexity term (5)

a likelihood term that measures the model fit and increases with the number of
clusters, and a complexity term, used as penalty, that grows with the number
of free parameters in the model. Thus, if the number of cluster is small we get
a low value for the criterion because the model fit is low, while if the number of
cluster is large we get a low value because the complexity term is large.

The information-criterion MDL of Rissanen [I7], is defined as:

MDL(K) = — n[L(X|Wi, Ox)] + ;Mln(N) (6)
where
N
L(X|Wk,Ok) = max Hp(ffz‘|WK, Ok) (7)

The first term — In[L(X |Wk, Ok )] measures the model probability with respect
to the model parameter Wi, O defined for a Gaussian mixture by the mixture
coefficients W and d-dimensional means and covariances @ . The second term
%M In(N) measures the number of free parameters needed to encode the model
and serves as a penalty for models that are too complex. M describes the number
of free parameters and is given for a Gaussian mixture by M = 2dK + (K —1) for
(K —1) adjustable mixture weights and 2d parameters for d-dimensional means
and diagonal covariance matrices. The optimal number of similarity thresholds
can be determined by applying the following iterative procedure:

— For all K, (Kpin < K < Kpaz)
(a) Maximize the likelihood L(X|Wk, O ) using the EM algorithm to cluster
the nodes based on the similarity thresholds applied to the data set.
(b) Calculate the value of MDL(K) according to Equations 6 and 7.
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— Select the model parameters (Wi, @) that corresponds to minimisation of
the MDL(K) value.

Figure 2 shows the value of MDL(K) for clusters within the range of (1 < K <
18). We have doubled the range in the MDL(K) minimum and maximum values
so we can represent the extreme cases of 1 cluster which represents the whole data
set, and 18 clusters which over classify the distribution and corresponds to the
overfiting of the network with similarity threshold er = 900. A global minimum
and therefore optimal number of clusters can be determined for K = 9 which
indicates that the best similarity threshold that defines the accuracy of the map
without overfitting or underfitting the data set is ep = 500. To account for
susceptibility for the EM cluster centres as part of the MDL(K) initialisation of
the mixture coefficients the measure is averaged over 10 runs and the minimal
value for each configuration is selected.

.z ¥ 3 5 §

Fig. 2. (a) Plot of hand distributions. (b) Plot of the MDL values versus the number of
cluster centres. The Minimum Description Length MDL(K) is calculated for all cluster
configurations with (1 < K < 18) clusters, and a global minimum is determined at 9
(circled point).

4 Experiments

We tested our method on a data set of hand images recorded from 5 partici-
pants each performing a set of different gestures (Figure B]). To create this data
set we have recorded images over several days and a simple webcam was used
with image resolution 800 x 600. In total, we have recorded over 75000 frames,
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Fig. 3. (a) to (d) represent some of the most common gestures used in sign language

and for computational efficiency, we have resized the images from each set to
300 x 225, 200 x 160, 198 x 234, and 124 x 123 pixels. We obtained the data set
from the University of Alicante, Spain and the University of Westminster, UK.
Also, we tested our method with 49 images from Mikkel B. Stegmaanl online
data set. In total we have run the experiments on a data set of 174 images. Since
the background is unambiguous the network adapts without occlusion reasoning.
For our experiments only complete gesture sequences are included. There are no
gestures with partial or complete occluded regions, which means that we do not
model multiple objects that interact with the background. Table [l shows topol-
ogy preservation, execution time, and number of nodes when different variants
in the A and the K are applied in a hand as the input space. Faster variants
get worse topology preservation but the network converges quickly. However, the
representation is sufficient and can be used in situations where minimum time
is required like online learning for detecting obstacles in robotics where you can
obtain a rough representation of the object of interest in a given time and with
minimum quality.

Table 1. Topology Preservation and Processing Time Using the Quantisation Error
and the Topographic Product for Different Variants

Variant Number of Nodes Time (sec) QE TP

GNGx=100,K=1 23 0.22 8.932453 0.4349
GNGx=100,K=9 122 0.50 5.393949 -0.3502
GNGx=100,K=18 168 0.84 5.916987 -0.0303
GNGx=300,K=1 23 0.90 8.024549 0.5402
GNG=300,K=9 122 2.16 5.398938 0.1493
GNGx=300,K=18 168 4.25 4.610572 0.1940
GNGx=600,K=1 23 1.13 0.182912 -0.0022
GNG=600,K=9 122 2.22 0.172442 0.3031
GNGx=600,K=18 168 8.30 0.169140 -0.0007
GNGx=1000,K=1 23 1.00 0.188439 0.0750
GNGx=1000,K=9 122 12.02  0.155153 0.0319
GNGx=1000,K=18 168 40.98  0.161717 0.0111

'http://www2.imm.dtu.dk/~aam/
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Figure M shows the plots of the MDL(K) values versus the number of clusters
for minimum, maximum and approximate match similarity threshold (ez = 100,
er = 900, and er = 500). As the similarity threshold increases the optimum
number for the MDL(K) values increases as well with an optimum growth at
K = 9. Table 2] shows the topographic product for a number of nodes. We
can see that the insertion of more nodes makes no difference to the object’s
topology. Based on the maximum size of the network an optimum result is
achieved when at least half of the network is developed. Table ] shows that
for the different type of gestures this optimum number is in the range > 90

and < 130.
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Fig. 4. (a), (b), and (c) Plot of data set for similarity thresholds er = 100, er = 500,
and er = 900. (d), (e), and (f) Plot of the MDL(K) values versus the number of clusters
centres generated by the similarity thresholds during the growth process of the GNG.

Table 2. The Topographic product for various data sets

Image (a)
Nodes TP
26 -0.0301623
51 -0.030553
7 0.04862
102 0.048256
128 0.031592
153 0.038033
179 0.047636
205 0.038104
230 0.037321

Image (b)
Nodes
26
51
T
102
128
153
179
205
230

Image (c) Image (d)
TP Nodes TP Nodes
-0.021127 24 -0.017626 19
-0.021127 47 -0.047098 37
0.044698 71 0.046636 56
0.021688 95 0.017768 75
0.011657 119 0.014589 94
0.021783 142 0.018929 112
0.017223 166 0.017465 131
-0.013525 190 0.017718 150
0.017496 214 -0.007543 168

TP

-0.006573
-0.007731
0.027792
0.017573
0.018789
0.016604
0.017755
0.007332
0.007575
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Our modified GNG network has been compared to the methodology of the ac-
tive snake model that adheres only to global shape transformations. The param-
eters for the snake are summarised in Table Bl The execution time for modified
GNG is approximately 4 times less compared to the snake. The computational
and convergence results are summarised in Table [l

In all our experiments, the parameters of the network are as follows: A = 100
to 1000, ¢, = 0.1, ¢, = 0.005, Azxg, = 0.5, Ax; = 0.0005, A, = 125. For the
MDL(K) value we have experimented with cluster centres within the range of
1<K <18.

Table 3. Parameters and Performance for Snake

Hand Constants Iterations Time (sec)
Sequence (a) a =4 50 15.29
5=1
=2
/J: 0.6
Dinin = 0.5
Dmaz =2
Sequence (b) g =4 40 15.20
=1
=2
K’Y: 0.6
Dipin = 0.5
Dmaz =2
Sequence (c) g =4 40 12.01
=1
=3
fgz 0.6
Dinin = 0.5
Dma:c =2
Sequence (d) a =4 20 5.60
5=1
y=3
k=0.6
Dipin = 0.5
Dma:c =2

Table 4. Convergence and Execution Time Results of modified GNG and snake

Method  Convergence (Iteration times) Time (sec)

snake 50 15.29
40 15.20
40 12.01
20 5.60
5 4.88
3 2.17
2 1.22
2 0.73

modified GNG

5 Conclusions and Future Work

Based on the capabilities of GNG to readjust to new input patterns without
restarting the learning process, we developed an approach to minimise the user
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intervention by utilising an automatic criterion for maximum node growth. This
automatic criterion for GNG is based on the object’s distribution and the sim-
ilarity threshold (er) which determines the preservation of the topology. The
model is then used to the representation of motion in image sequences by ini-
tialising a suitable segmentation. During testing we found that for different
shapes there exists an optimum number that maximises topology learning versus
adaptation time and MSE. This optimal number uses knowledge obtained from
information-theoretic considerations.
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1

Genetic algorithm (GA) is based on Darwinian ideas on biological evolution, where
the survival of the fittest will eliminate poor members of the population and the fit
ones will evolve towards ever increasing, or at least non-decreasing fitness [1,2]. For
computer science, genetic algorithm is a type of evolutionary algorithms that
implements this Darwinian idea for selecting the best candidate solutions to a
problem, such as the search for the global minimum of a function. Genetic algorithms
have been successfully applied to many areas, such as in solving the crypto-arithmetic
problem [3], time series forecasting [4], traveling salesman problem [5], function
optimization [5], adaptive agents in stock markets [7], and airport scheduling [8].

Topological Effects on the Performance
of Island Model of Parallel Genetic Algorithm

Wang Guan and Kwok Yip Szeto’
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The Hong Kong University of Science and Technology
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Abstract. The topological features of the communication network between
computing nodes in Parallel Genetic Algorithms, under the framework of the
island model, is discussed in the context of both the local rate of information
exchange between nodes, and the global exchange rate that measures the level
of information flow in the entire network. For optimal performance of parallel
genetic algorithm for a set of benchmark functions, the connectivity of the
network can be found, corresponding to a global information exchange rate
between 40-70%. This range is obtained by statistical analysis on the search for
solutions of four benchmark problems: the 0-1 knapsack, the Weierstrass’s
function, the Ackley’s function, and the Modified Shekel’s foxholes function.
Our method is based on the cutting of links of a fully connected network to
gradually decrease the connectivity, and compare the performance of the
genetic algorithm on each network. Suggestions for the protocol in applying
this general guideline in the design of a good communication network for
parallel genetic algorithms are made, where the islands are connected with 40%
of links of a fully connected network before fine tuning the parameters of the
island model to enhance performance in a specific problem.

Keywords: Parallel Genetic Algorithms, Island Model, Network, Information,
Exchange, Connectivity, Non-separable Function Optimization, Knapsack.
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The intrinsic parallelism in the population of candidate solutions can be extended to a
higher level where the entire population is divided into a group of sub-populations so
that the single population genetic algorithm becomes a parallel genetic algorithm with
many sub-populations. This generalization for genetic algorithm from one population
to many populations is inspired by the idea of “divide and conquer”, and is a natural
implementation of parallel computing [9,10].

One of the standard models used in dividing a population into sub-population is the
island model [11-14]. The simplest realization of this model is to have equal sized
sub-population, or demes which evolve independently according to the original
algorithm and, interchange information by exchanging a set of individuals at regular
interval. Each sub-population has its specific residency in an island and the
performance of the island model depends on several parameters: (1) the number of
island, which in real application is constrained by the available hardware, (2) the
percentage of migrating individuals (3) the frequency of migrations. In this paper, we
focus on the effect of the percentage of migrating individual, with fixed number of
island and fixed number of generations elapsed between migration processes.

When we have a fixed number N of islands or sub-populations, and perform
information exchange between subpopulations, we have to introduce a network of
communication between islands. The network is defined by a graph with N nodes and
L links. This then raises the question of the effects of the topology on the performance
of the island model. In this paper, we will start with a fully connected network of N

nodes so that the number of links is L, = N(N —1)/2. We will introduce two

mq
definitions on the information exchange rates: a local exchange rate that describes the
information exchanged through the migration of individuals between two islands, and
a global exchange rate that describes the total number of individuals migrating in the
network. Through numerical experiments on a set of benchmark functions, we arrive
at a general protocol on how to design the network and information exchange to
optimize the performance of the parallel genetic algorithm in the island model.

Since the number of benchmark tests can only be finite, our conclusion on how to
select good topologies for parallel search is not universal. Nevertheless, we like to
illustrate certain general properties of the network that should be exploited in
designing parallel genetic algorithm. For specific problems, there must be fine tuning
of various parameters which will enhance performance, but our goal is to find a
general guideline or protocol in the construction of a network of communication in
the island model so that we have in general a good starting point. Since many
important features of a network can affect the performance, we further focus on the
connectivity of the network. We thus investigate only the effect of the number (L) of
links, given the size (N) of the network. We address this mathematical problem by

means of cutting edges from a fully connected topology (L = L,__ ), until we reach a

ring, which is the least connected topology of N nodes and L = N links. (We treat each
island with equal importance so that the tree structure is excluded in our topological
analysis). This is a continuation of the previous research in discussing different
topologies and exchange rates for parallel genetic algorithm [15,16].
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2 Rate of Information Exchange

We start with the island model with N islands, each occupied by a subpopulation of

N ¢ chromosomes. Each subpopulation i gets the best M chromosomes from each of
its K ; neighbors in the communication network (in total MK ; chromosomes) to
replace its worst M eK, chromosomes. The Exchange Rate (X) for individual
population i is defined as X, = M *K, / N.. We define the Global Exchange Rate
as X, =2Me<L/(NeN_) , where 2M <L is the total number of exchange

chromosomes, and N ONC is the total number of chromosomes for all the sub-

populations. The total number of chromosomes involved in communication in the
host sub-population is M + M<K, . Since it is reasonable that the exchanged-in

chromosomes do not interfere with the exchanged-out chromosomes, we have the
limit M +M+K, <N,.

While the local information exchange rate is defined by the number M of
exchanged chromosomes between sub-populations, the global exchange rate is
affected by many other factors besides the local rate. In particular, the global
exchange rate depends on L, therefore a topological change of the network
will change the global rate significantly. For a fully connected communication
network of N nodes, we have the maximum global exchange rate. The degree for each

node is K =K, ,=N—1.If we fix the number of chromosome exchanged to

be M=1 (only sending the best chromosome to the neighbors), then the number of
chromosomes in each sub-population is at least as large as the number of
chromosomes in the sub-population residing in a node in the fully connected network.
Here we have assumed that the total number of chromosomes used in our parallel
genetic algorithm is fixed and is divided equally among all N nodes. In our

experiment we have N=16 and M=1, so we easily get a maximum X, =0.9375

omin = 0.125 for the ring.

When we evaluate the performance of island model on benchmark functions, our
scheme of varying L is based on the following model. We start from a fully connected
network, so that L is at maximum. We then randomly cut links until the network
becomes a ring, which is the topology of a connected network with minimum L. This
is shown in Fig.1. We perform independent non-communicating genetic algorithm for
three generations before communication and undergo chromosome exchange. For
each fixed topology before link cutting, we run for 15 generations with 5 times of
communication.

In order to use parallel genetic algorithm, we need to choose a basic genetic
algorithm for the individual sub-population. In this paper, we use the Mutation Only

for the fully connected network, and a minimum X
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Fully Connected Cutting Links Ring

Fig. 1. Randomly cut links from a fully connected network until it becomes a ring

Genetic Algorithm (MOGA) which is a generalization of traditional genetic algorithm
in the framework of Mutation matrix, (not to be confused with Multi-Objective
Genentic Algorithm). We have shown that MOGA is more adaptive and efficient than
simple genetic algorithm and interested readers can find more details of MOGA in
Ref.[17-19]. We will not discuss the various ways MOGA can be generalized here, as
various methods have been designed to compute the mutation matrix adaptively to
achieve optimal performance, including the variation that crossover is implemented
[19]. The important point here is that our general discussion of the island model does
not depend on the details of the genetic algorithm used in each sub-population, as
long as they are the same type of algorithm. We use MOGA since it can be more
efficient, and can also be reduced to traditional genetic algorithm easily [17].

3 Benchmark Functions and MOGA

We test the performance of our Quasi-Parallel genetic algorithms under different
parameter settings on the optimization problems using four benchmark functions:

1. The Knapsack problem is described as the following. The knapsack has a
maximum weight capacity C, which is called the optimal number. We consider
the allocation of n items in the knapsack. When item i is in the knapsack, its
loading is given by the weight w; while the profit for carrying it is p..

Given (W1’W2"" ,Wn)and (pl,pz,--- ,pn),ourgoalisto

n n
maximize Z P ;X; subject to the constraint Z wx, <C -
i=1 i=1

In our experiment we have n=16 items with weight w, = 27" and profit p; =

1 for i=0,1,...,15. Our goal is to find a configuration of item occupancy {x;} so
that we get as close to the knapsack weight capacity as possible. Here x; is a
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binary variable which is 1 if item i is in the knapsack, and O otherwise. We use
the string of {x;} to denote a chromosome.

The Weierstrass’s Function is a simplified version of F11 (Shifted Rotated
Weierstrass’s Function) from CEC2005 benchmark suite [20]. The definition of
Weierstrass’s Function is:

max

F(xex,) = i{kz[ak -cos (27b" (x, +o.5))]}—Dkf[a* -cos(27b* -0.5) |

where a = 0.5, b = 3, k. = 20, x; €[-0.5, 0.5]. D is the dimension of the function.
The global minimum of the function is obtained when all x; = 0, and f;, = 0. This
problem is different from the Knapsack Problem because its variables are
continuous. Therefore, we do not expect to find the global optima exactly using
discrete encoding. Here we employ a binary string to encode each {x;}. Hence the

binary string can represent an integer / whose value ranges from 0 to [ in

decimal notation. For a chromosome s, its value after encoding is

1
C, =—-05, I =2"-1 where I, is the integer represented by

chromosome s. We use H=15. Because the Weierstrass’s Function have D
variables, the total length of the chromosome is L =D x H.

The 2D Ackley’s is from reference [21]. The function is defines as following:

f(x,y)=20+e— 20exp[—0.2 /&2)’2)] —exp(%(cos(Zﬂx) +cos(2ﬂ'y))j

where x,y € [-5,5]. The function with x, y in the range indicated has 121 local
minima. The landscape of both Weierestrass Function and 2D Ackley’s Function
is symmetric.

The 2D Modified Shekel’s Foxholes function is from reference [22] and the
landscape now is non-symmetric:

f(x,y):—z :

= (x=a) +(y=b) +¢

where x,y € [-10,10], and a;b;c; are taken from Ref.[22] There are 17 local
minima in this range.
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4 Results

We use parallel genetic algorithm in the island model connected in a network shown
in Fig.1 to find optimal solution for the above four different benchmark functions.
Our network has N=16 nodes, each with 16 chromosomes. For the experiment on the
Knapsack Problem, the optimal number is fixed to be 10050. For each point we run
our program 100 times and take the average (see Fig.2). We also run the program for
topologies with increasing links from a ring to a fully connected network. The results
are basically the same for the Weierstrass Function with D = 1. For each point we run
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for 30 times and take average, (see Fig.3). For the 2D Ackley’s Function, we aim at
finding the global minimum of this function. Each chromosome has 14 bits. The first
7 bits represent x € [-5,5] and the next 7 bits represent y € [-5,5]. Thus, the precision
is 1027 =0.078. We do the problem on topologies with decreasing links from a fully
connected network to a ring (See Fig.4). For the 2D Shekel’s Foxholes function, we
aim at finding the global minimum of this function. Each chromosome has 16 bits.
The first 8 bits represent x € [-10,10] and the next 8 bits represent y € [-10,10]. Thus,
the precision is also 202® =0.078. We do the problem on topologies with decreasing
links from a fully connected network to a ring. The results are shown in Fig. 5.

From the results on these four benchmark functions, we observe a best
performance basin of global exchange rate. The performance is best when the
exchange rate is neither too low nor too high, with exchange rate in the range from
0.4 to 0.7. We can understand this feature heuristically. When the exchange rate is too
low, each node is running almost independently so there is little exploitation of the
good chromosomes from other populations. The effect is that we divide the solution
space and search for a good solution without helping each other. When the exchange
rate is too high, each node exploits too many chromosomes and the populations tend
to become very similar. This then defeats the purpose of parallel genetic algorithm for
now the sub-populations do not explore and essentially run as one identical
population. In practical application, we have to consider both the hardware cost and
algorithm complexity for making communications. Thus, we may use a network that
achieves a global exchange rate at 0.4, since this is the beginning of best performance
basin, but at the same time utilizes the least number of links, thereby minimizing the
communication cost.

5 Discussion

We have tested the island model of parallel genetic algorithm defined on a network
for solving the optimization problem in four benchmark functions. Our focus is on the
topology of the communication network that the parallel algorithm uses, when the
local information exchange is fixed. The single parameter we use to parameterize the
topology of the network is the number of links, when the number of nodes or sub-
populations is given. This simplification of the description of the topology is achieved
through link cutting process of a fully connected network. For the four benchmark
problems, which are the knapsack problem, the Weierstrass’s function, the Ackley’s
function, and the Modified Shekel’s foxholes function, we obtain some general
conclusion on the number of links used, which correspond to the global exchange rate
in the range of 0.4 to 0.7. Although this is never meant to be a universal range for
optimization, and the range in fact is rather large, we nevertheless can make some
general remarks on the application of our investigation. For an optimization problem
where there is no prior information about the nature of the solution space, we suggest
that we can start with a network with global exchange rate equal to 0.4 when we
decide to use parallel genetic algorithm under the framework of the island model.
This choice will give the least number of links used, thereby reducing cost in the case
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of implementation in hard ware and also time delay in communication. When we have
only 40% of links of a fully connected network, we have a small, yet sufficient
number of links that can give good performance of the search process before any fine
tuning. One can always gradually increase the number of links to see if the
improvement in performance is worthwhile to the extra cost for the additional
connection. Within the confine of the four benchmark functions tested, our guideline
on the range of the number of links used is valid.

In this work, we focus on varying the number of links while in a separate work
we discuss the importance of local exchange rate for a given topology of network: i.e.,
we fix L and the topology, but vary M. For this case, our conclusion is that the
performance can be improved with increasing local exchange rate (i.e., increasing M).
In the context of the present work, it is therefore a good idea to use a global exchange
rate equal to 0.4, or equivalently starting with a network resulted from cutting 60% of
the links of a fully connected network and then use the maximum allowed number of
local exchanged chromosomes. As mentioned in the introduction, our work on the
topology of the communication network only addresses the number of links used, and
there are much more complex problems such as the way these links are organized in
the network that may improve the performance of our algorithm. For future work, we
will investigate the importance of connectivity, shortest path length, etc, in other class
of networks, such as the small world or hierarchical networks. Our goal is to find
general guidelines for starting a search using parallel genetic algorithm when prior
knowledge of the problem is absent.

Acknowledgement. We acknowledge the discussion with Wu Degang. K.Y. Szeto
acknowledges the support of grant FSGRF13SC25.
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Abstract. Clustering Search (*CS) has been proposed as a generic way
of combining search metaheuristics with clustering to detect promis-
ing search areas before applying local search procedures. The clustering
process may keep representative solutions associated to different search
subspaces (search areas). In this work, a new approach is proposed, based
on Artificial Bee Colony (ABC), observing the inherent characteristics of
detecting promissing food sources employed by that metaheuristic. The
proposed hybrid algorithm, performing a Hooke & Jeeves based local,
is compared against other versions of ABC: a pure ABC and another
hybrid ABC, exploring an elitist criteria.

1 Introduction

Modern metaheuristics attempt to balance exploration and exploitation move-
ments explicitly by employing global and local search strategies. The global algo-
rithm plays the role of generator of reference points to diversified search areas,
which are more intensively inspected by problem-specific components further.
Early hybrid algorithms have demonstrated concern about rationally employing
local search. Instead of always applying local search procedures over entire pop-
ulation, the global algorithm runs normally until a promising area is detected,
according to a specific criteria, for example, when a new best individual is found
(elitist criteria). In a general way, the following action must be better to ex-
ploit the expected promising area, in a reduced search domain, by a local search
procedure.

Clustering Search (*CS) has been proposed as a generic way of combining
search metaheuristics with clustering, aiming to detect promising search areas
before applying local search procedures [4]. Its generalized nature is achieved
both by the possibility of employing any metaheuristic and by also applying to
combinatorial and continuous optimisation problems. Clusters of mutually close
solutions provide reference points to relevant areas of attraction in the most of
search metaheuristics. Relevant search areas can be treated by problem-specific
local search procedures. Furthermore, the cluster center itself is always updated
by a procedure involving inner solutions, called assimilation [4].

Artificial Bee Colony (ABC) is a recently proposed optimisation algorithm [I]
that simulates the intelligent behavior of honey bees, providing a population-
based search procedure in which individuals called foods positions are modified
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by the artificial bees, aiming to discover promising food sources and, finally, the
one with the optimal amount of nectar [I].

This paper is devoted to propose a new *¥*CS approach, called Artificial Bee
Clustering Search (ABCS), applied to unconstrained continuous optimisation, in
which promising search areas are associated to promising food sources and the
bee movement is performed by the intrinsic *CS operation known as assimila-
tion [4]. The remainder of this paper is organized as follows. Section 2] describes
the concepts behind *CS and ABC. ABCS is described in section Bland computa-
tional results are presented in[dl The findings and conclusions are summarized in
section

2 Algorithms Foundations

A challenge in hybrid metaheuristic is to employ efficient strategies to cover all
the search space, applying local search only in actually promising search areas.
The inspiration in nature has been pursued to design flexible, coherent and
efficient computational models. In this section, the Clustering Search (*CS) and
ABC are briefly described, introducing concepts needed to further explain how
to combine them to allow detecting promising search areas before applying the
Hooke & Jeeves local search procedure [3].

2.1 Clustering Search

*CS attempts to locate promising search areas by framing them by clusters. A
cluster is defined by a center, ¢, that is generally, initialized at random and,
posteriorly, it tends to progressively slip along really promising points in the
search space. The number of clusters N'C can be fixed a priori [5] or dynamically
determined according to the width of the search areas being explorated by the
metaheuristic [4]. In the later case, clusters can be created in a way that all
candidate solutions are covered by, at least, a cluster. By the other hand, inactive
clusters, i.e., clusters not covering any solutions may be eliminated.

The coverage is determined by a distance metric that computes the similarity
between a given solution and the cluster center and must consider the problem
nature. For example, in unconstrained continuous optimization, the similarity
has been defined regarding the Euclidean distance [4]. *CS can be splitted off in
four conceptually independent parts: a) the search metaheuristic (SM), b) the
iterative clustering (IC) component, ¢) the analyzer module (AM), and d) the
local searcher (LS).

The SM component can be implemented by any optimization algorithm that
generates diversified solutions of the search space. It must work as a full-time
solution generator, exploring the search space by manipulating a set of solutions,
according to its specific search strategy. IC component aims to gather similar
solutions into groups, maintaining a representative cluster center for them. A
distance metric, A, must be defined, a priori, allowing a similarity measure for
the clustering process.
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AM component examines each cluster, in regular intervals, indicating a proba-
ble promising cluster. A cluster density, also named volume, d;, is a measure that
indicates the activity level inside the cluster j. For simplicity, ; can count the
number of solutions generated by SM and grouped into c¢;. Whenever §; reaches
a certain threshold )\, meaning that some information template becomes predom-
inantly generated by SM, such cluster must be better investigated to accelerate
the convergence process on it. Clusters with lower §; can be eliminated or per-
turbed, as part of a mechanism that allows creating posteriorly other clusters,
keeping framed the most active of them.

At last, the LS component is an internal searcher module that provides the ex-
ploitation of a supposed promising search area, framed by a cluster. In
unconstrained continuous optimisation, the component LS has been commonly
implemented by a Hooke-Jeeves direct search [3].

2.2 Artificial Bee Colony

In the ABC algorithm, the colony of artificial bees contains three groups of
bees: employed bees, onlookers and scouts. A bee waiting on the dance area for
making decision to choose a food source, is called an onlooker and a bee going
to the food source visited by itself previously is named an employed bee. A bee
carrying out random search is called a scout. In the ABC algorithm, first half of
the colony consists of employed artificial bees and the second half constitutes the
onlookers. For every food source, there is only one employed bee. In other words,
the number of employed bees is equal to the number of food sources around the
hive. The employed bee whose food source is exhausted by the employed and
onlooker bees becomes a scout.

At each cycle ABC perform three basic operations: place employed bees on
their food sources and evaluate their nectar amounts; after sharing the nectar
information of food sources, onlookers select food source depending on their
nectar amounts; send scout bees to explore new sources randomly on the search
space. These main steps are repeated through a predetermined Maximum Cycle
Number (MCN) or until a termination criterion is satisfied.

Employed bees share the nectar amount of food sources on the dance area
that will be used by onlooker bees as parameter to decide which source is bet-
ter to be explored. The decision to be done by onlooker bees is governed by
Equation [Tk

Jit;

S, fitn
where p; is the probability associated with food source i, fit; is the fitness value
of solution ¢ and SN is the total number of food sources which is equal to
the number of employed bees or onlooker bees. Both employed and onlooker
bees modify their food sources, if the modification increase nectar amounts of
those sources, onlooker and employed bees memorize the best source and forget

pi =

(1)
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previous one. Thus, to produce a candidate food position from the old one in
memory is done by following equation:

Vij = Tij + Gij(Tij — Thj) (2)

where k € {1,2...SN} and j € {1,2...D} are randomly chosen indexes, and D is
the dimension of variables.

A food source is assumed to be abandoned if its fitness cannot be improved
through certain number of cycles. The value of pre-determined number of cycles
is called “limit” for abandonment [2].

3 Artificial Bee Clustering Search

The Artificial Bee Clustering Search (ABCS) algorithm is based on potencial
characteristic of detecting promissing areas presented by ABC algorithm. Such
potencial characteristic can be seen on basic operations of ABC, such as the
exploration and abandonment of a food source. An onlooker bee can be compared
with a solution that must be assimilated by a cluster on a *CS-based algorithms,
because this bee will increase a source’s fitness after it has explored and found
a better position to this food source. ABCS is proposed to represent all food
sources as central regions of clusters and onlooker bees are solutions that can be
or cannot be assimilated by these clusters.

program ABCS
begin
Initialize Population;
repeat
Place the employed bees on their food sources;
Place the onlooker bees on the food sources depending on
their nectar amounts;
Memorize the quantity of activations (accounting of
density) of each source;
Perform Local Search in promissing areas (top activated
food sources);
Send the scouts to the search area for discovering new
food sources;
Memorize the best food source found so far;
until requirements are met
end;
end.

(Pseudo-code adapted from [2])

The accounting of density of a food source ¢ (J;) is a parameter to perform
local search. This parameter is another metric of a food source, that will inform
which food sources are most promissing, to detect these promissing areas J;
increases whenever an onlooker bee access the food source and gets a new better
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position. If a food source reach a certain threshold there is a time to perform
local search in such source to find better solutions. This threshold is known in
*CS as cluster density(Section [2]).

NP

where PD is a pressure of density, NP is the colony size and SN is the total
number of food sources. Pressure of density is a well known metric of *CS based
algorithms that allows controlling the sensibility of the component AM.

ABCS is proposed to add to ABC some clustering elements without modifying
the main structure of original algorithm. This work proposes to add two elements
in ABCS: the amount of activations of each food source and local search routines.
The algorithm used to perform local search in ABCS is the Hooke & Jeeves’
algorithm [3].

0; 2 PD-

4 Computational Experiments

Some functions were minimized to test the competitiveness of ABCS with others:
A pure ABC, HABC (Hybrid Artificial Bee Colony) and ECS (Evolutionary
Clustering Search [4]). The results in tables Bl and ] were obtained allowing all
algorithms to perform up to Maximum Function Evaluations (Max FE) (Table
[I) in each one of 30 trials. The list of parameters of all algorithms are summarized
in Table [[l where the value 80 of NP was used based on [2], the other values
were empirically tested.

Table 1. Parameters of all algorithms

Parameters
Algorithm NP Limit MCN Error Rate Max FE PD
ABC
HABC 80 200 10000
ABCS 0.0001 2x10% 10
PopSize MaxGen NC
ECS 200 8000 40 2.5

Table 2 shows the total benchmark test functions used in experiments, where
D is the number of variables (Dimension), Min is the optimal solution and
Range is the known upper and lower bounds of the domain of functions’s vari-
ables. HABC algorithm was not designed to detect promissing areas, it only
activate the Hooke & Jeeves Local Search whenever the better current solution
has been improved (elitist strategy). The variables Mean, Standard Deviation
(StdDev), H/A (Hits/Attempts) and FE (Function Evaluations) are necessary
to analize the performance of algorithms. FE is a mean between total function
calls in 30 executions for each function.
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Table 2. 11 Test Functions used in the experiments

Function Range D Min
Michalewicz [0, 7] 10 -9.6601
Rosenbrock  [-30,30] 30 O
Rastrigin =~ [-5.12,5.12] 30 0
Schwefel; [-500,500] 30 0
Langerman [0,10] 10 -1.4999

Zakarov [-5,100 30 O
Ridge 64,64 30 0
Colville [-10,10] 4 0
Sphere [-5.12,5.12] 30 0O
Griewank  [-600,600] 30 0
Ackley [1530] 30 0O

Table 3. First set of functions

Function ABC HABC ABCS ECS
Michalewicz Mean -9.6600 -9.6600 -9.6600 -9.6355
StdDev 6.8215E-005 6.9391E-005 5.8031E-005  0.0214
H/A 30/30 30/30 30/30 6/30
FE 35874.48 911211.31 97753.20 1745612.73
Rosenbrock Mean 0.0343 0.0001 0.0001  6.4467E-005
StdDev ~ 0.0499 0.00002 2.5765E-005 4.8001E-005
H/A 0/30 30/30 30/30 30/30
FE 800081.10  185090.24  171625.75  508843.9
Rastrigin ~ Mean 0.0001 0.0001 0.0001 1.9567
StdDev 7.1006E-005 1.1056E-005 3.0449E-005  0.8046
H/A 30/30 30/30 30/30 2/30
FE 70597.24 43929.13 30982.41 1928062.2
Schwefel; Mean 7.8033E-005 1295.28 0.0001 1075.82
StdDev 6.2561E-005  252.88  6.1813E-005  416.58
H/A 30/30 0/30 30/30 0/30
FE 109758.65 2000000 733098 2000000
Langerman Mean -0.9551 -0.8450  -1.0715099  -0.8445
StdDev ~ 0.2802 0.1331 0.2954 0.1781
H/A 4/30 1/30 7/30 2/30

FE 733114.20  1952654.20 1001020.17 1918115.96

The ABCS algorithm presented better results with fewer calls for most
minimized functions. HABC got bad performance at Schwefel7, because this
function is extremely multimodal and HABC performs many calls to Hooke &
Jeeves, without information about which food sources are promissing, getting
parked in local minimum points. ECS get better results to Schwefel; when the
parameter PD is less than 2.5, 2.5 was used because is the best one to overall
functions.
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Fig. 1. Convergence history comparison of all algorithms at Langerman

Table 4. Second set of functions

Zakarov Mean 136.45 0.023 0.014 2.5389
StdDev ~ 23.76 0.025 0.0172 1.555
H/A 0/30 0/30 0/30 0/30
FE  800040.58 2000000 2000000 2000000
Ridge  Mean 417.33 0.0003 0.0002 0.766
StdDev  170.63 0.00007  1.98E-005 0.538
H/A 0/30 2/30 25/30 0/30

FE  800040.10 1938631.93 1447802.55 2000000

Colville Mean 0.17965  0.0001  0.0001  0.00006
StdDev 0.13612  2.86E-005 2.96E-005 5.5197E-005

H/A  0/30 30/30 30/30 30/30

FE 800218517 22002.65 15069.03  3123.6

Sphere Mean  100.000  100.000  100.000  100.000
StdDev 3.67E-005 8.66E-006 3.08E-005 2.2968E-006

H/A  30/30 30/30 30/30 30,/30

FE 3032689 57343.65 11508.96  3274.2

Griewank Mean  0.0001  0.0001  0.0001 0.0001
StdDev 4.82E-005 9.07E-006 0.00002 3.574E-005

H/A  30/30 30/30 30/30 30,/30

FE 5518620 39759  11105.58 4943
Ackley Mean  0.0001  0.0001  0.0001 8.646E-005
StdDev 3.33E-005 1.46E-005 2.38E-005 7.1095E-005

H/A  30/30 30/30 30/30 30/30
FE  61055.17 40015.55 32731.55 366911.866

Figure[lillustrates the progress of all algorithms minimizing Langerman func-
tion. The mean of objective function (known as fitness value in the chart) was
calculated between 30 trials at intervals of 5000 function evaluations.
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5 Conclusion

In this work a new approach is proposed combining Clustering Search with Arti-
ficial Bee Colony. The proposal is called Artificial Bee Clustering Search (ABCS)
and two elements of *CS are added to ABCS aiming to improve inherent char-
acteristics of detecting promissing food sources by ABC: Quantity of activations
of each food source and the Local Search component. Some unconstrained con-
tinuous optimisation functions are minimized and ABCS presented competitive
results compared to other algorithms: Pure ABC, HABC and ECS.

Future work consist of testing some *CS components as the distance metric
and different types of bee assimilation by food sources.
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Abstract. The service time of the container vessels is the main indica-
tor of the competitiveness of a maritime container terminal. This work
proposes two Variable Neighbourhood Searches (VNS) in order to tackle
the Tactical Berth Allocation Problem and the Quay Crane Scheduling
Problem, which are the main operational problems in the seaside. These
metaheuristics are integrated into a framework that provides an overall
planning for the vessels arrived to port within a given time horizon. The
performance of the proposed VNSs is compared with the most highlighted
solution methods published in the related literature. In addition, the ef-
fectiveness of the framework is assessed in real size environments.

Keywords: Metaheuristic, Container Terminal, Seaside Operations.

1 Introduction

The maritime container terminals are core elements within the international sea
freight trade (Vis and de Koster [I0]). These facilities are open systems dedicated
to the exchange of containers in multimodal transportation networks. In general
terms, a container terminal is split into three different functional areas (Petering
[7]). Firstly, the quay area is the part of the port in which the container vessels
are berthed in order to load and unload containers to/from them. Secondly, the
yard area is aimed at storing the containers until their later retrieval. Lastly, the
mainland interface connects the terminal with the road transportation.

The most widespread indicator concerning the competitiveness of a maritime
container terminal is the service time required to serve the container vessels
arrived to the port (Yeo [4]). The seaside operations are those arising in the
quay area of a maritime container terminal and directly related to the service
of container vessels. The operational decisions stemming from the service of
container vessels can be modeled through a well-defined sequence of steps. Once
the container vessel arrives to the port, a berthing position in the quay is assigned
to it on the basis of its particular characteristics (dimensions, stowage plan, etc.).
A subset of the available quay cranes at the terminal is allocated to the vessel.
These quay cranes perform the loading and unloading operations associated

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 28-B5] 2013.
(© Springer-Verlag Berlin Heidelberg 2013



A Metaheuristic Approach for the Seaside Operations 29

with the containers of the vessel. An in-depth survey on the seaside operations
is conducted by Meisel [0].

The Tactical Berth Allocation Problem (TBAP) pursues to determine the
berthing position, berthing time and allocation of quay cranes for the container
vessels arrived to the port over a well-defined time horizon. In the TBAP, we are
given a set of incoming container vessels V', a set of berths B and a maximum
number of available quay cranes ). Each container vessel v € V must be assigned
to an empty berth b € B within its time window [t,, t,]. The berthing position of
a vessel should be close to the departure position of its containers. In this regard,
the housekeeping cost, hss, represents the effort associated with moving a given
container between the berthing positions s and s’ of the quay (Giallombardo
et al. [2]). For each container vessel v € V, the service time, s,, is defined
according to the containers included into its stowage plan. That is, the number
of containers to be loaded and unloaded to/from the vessel at hand. A quay crane
profile determines the distribution of quay cranes used during the service time
of a given container vessel. The set of available quay crane profiles is denoted by
P. The usage cost of each profile p € P is denoted by c,. The main goal of the
TBAP is to maximize the usage cost of the quay crane profiles used to serve the
vessels and minimize the housekeeping costs derived from the transshipment of
containers among container vessels. A comprehensive description of the TBAP
is provided by Vacca et al. [9].

The Quay Crane Scheduling Problem (QCSP) is aimed at scheduling the
loading and unloading operations of containers to/from a given container vessel.
We are given a set of tasks, 2 = {1,...,n}, and the quay cranes with similar
technical characteristics allocated to the vessel, Q" = {1, ..., ¢}, where Q' C Q.
Each task t € (2 represents the loading or unloading operations of a group
of containers located in the same bay of the vessel, I;. The time required by
a quay crane in order to perform the task ¢ is denoted by w;. Furthermore,
each quay crane ¢ € Q' is ready after time r, and is initially located in the
bay l;. All the quay cranes can move between two adjacent bays at speed t.
The QCSP introduces particular constraints concerning its application scope.
The quay cranes move on rails and, therefore, they cannot cross each other.
In addition, they have to keep a safety distance, 0 (expressed as a number of
bays), between them in order to minimize potential collisions. This fact avoids
that the quay cranes perform at the same time tasks located at a distance lower
than ¢ bays. Lastly, there are precedence relationships among tasks located in
the same bay (Kim and Park [5]). For instance, unloading tasks have to be
performed before loading operations. The objective of the QCSP is to determine
the processing time of each task in such a way that the finishing time of the
last performed task (makespan) is minimized. The makespan of a given schedule
is the service time of the associated vessel. A mathematical formulation for the
QCSP is proposed by Meisel. [6].

In spite of the great deal of attention gathered by these operational problems
over the last years (Steenken et. al [§]), there is a lack of integration approaches
in which the interactions between them are considered. In this work we address
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the integration of the seaside operations in a maritime container terminal. In
this context, we propose two VNS algorithms in order to individually tackle the
TBAP and the QCSP, respectively. These metaheuristics are integrated into an
effective framework with the goal of providing an overall planning for serving
incoming container vessels within a given time horizon.

The remainder of this work is structured as follows. Section 2] introduces a
framework based on metaheuristics aimed at tackling the main seaside operations
and the interactions between them. Finally, Section [3] analyzes the performance
of the proposed metaheuristics compared to other approaches from the related
literature and assesses the effectiveness of the integration strategy. In addition,
some general guidelines for further research are presented.

2 Metaheuristic Approach

A Variable Neighbourhood Search (VNS) is a metaheuristic that has demon-
strated to be competitive in a large number of practical scopes. It is based upon
the systematic change of several neighbourhood structures (Hansen and Mlade-
novi¢ [3]). In this work we develop two VNSs in order to address the TBAP
and the QCSP, respectively. Later, these metaheuristics are integrated into a
framework.

2.1 VNS Algorithm for Solving the TBAP

Algorithm [I] depicts the pseudocode of the proposed VNS aimed at solving the
TBAP. The VNS uses two neighbourhood structures based upon the reinsertion
movement N, (7, ), namely, A vessels and their assigned profiles are removed
from the berth b € B and reinserted in another berth b', where b # b, and
the interchange movement Ny(7y), which consists in exchanging a vessel v € V
assigned to berth b € B with another vessel v’ assigned to berth o', where b # b’.

The starting solution of the VNS, ~, is generated by assigning the profilep € P
with the highest usage cost to each vessel. The berthing position of each vessel
is selected at random, whereas the starting of its service time is selected as the
earliest possible within its time window (line 1). The value of the parameter k is
set to 1 (line 2). The shaking process (line 4) allows to escape from those local
optima found along the search by using the neighbourhood structure N,. The
solution exploitation phase of the VNS algorithm is based on a Variable Descent
Neighbourhood Search (VND) (lines 5 — 14). Given a solution v/, it explores one
neighbourhood at time until a local optimum with respect to the neighbourhood
structures N, and N, is found. The application of the neighbourhoods structures
in the VND is carried out according to the value of the parameter ki, initially
set to 1 (line 6). The first neighbourhood structure explored is N, and later N.
The best solution found by means of the VND is denoted by +'. The objective
function value of +" allows to update the best solution found along the search
(denoted by «y) and restart & (lines 15—17). Otherwise, the value of k is increased
(line 19). These steps are carried out until k = kpqs (line 21).
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1: v < Generate initial solution 1: o < Generate initial solution
2: k«+1 2: ES+ 0
3: repeat 3: repeat
4:  +' + Shake(v, k) 4: k+1
5: repeat 5: repeat
6: ki1 6: o' « Shake(o, k)
T ~"" + Local Search(v, k1) T: o + Local Search(c”)
8: if f(v") > f(v') then 8: Update ES
9: v =y 9: if f(o”) < f(o) then
10: k1«1 10: o+ "
11: else 11: k<+1
12: ki ki+1 12: else
13: end if 13: k+—k+1
14: until k1 = k1maz 14: end if
15:  if f(y') > f(v) then 15:  until & = knas
16: v 16:  o’,0" + Select schedules from ES
17: k«1 17: o + Combine(d’,0")
18:  else 18: until Stopping Criteria
19: k+—k+1
20:  end if Algorithm 2. VNS for the QCSP

21: until k = knae

Algorithm 1. VNS for the TBAP

2.2 VNS Algorithm for Solving the QCSP

The pseudocode of the proposed VNS for the QCSP is depicted in Algorithm
2 It is based upon two neighbourhood structures, namely, reassignment (IN7)
and interchange of tasks (N3). The search starts generating an initial schedule,
o, by assigning each task ¢ € {2 to its nearest quay crane (line 1). The value of
the parameter k is also set to 1 (line 4). A shaking procedure allows to reach
unexplored regions of the search space by means of the reassignment of k tasks to
another quay crane. The reassigned tasks are selected on the basis of a frequency
memory. In this way, at each step, a neighbour schedule, ¢/, is generated at
random from o within the neighbourhood structure Ny, (line 6). A local optimum,
o”, is reached through a local search based on the proposed neighbourhood
structures (line 7). An improvement in the value of ¢’ allows to update o and
restart & (lines 9, 10 and 11). Otherwise, the value of k is increased (line 13).
These steps are carried out until k = ke, (line 15).

An elite set, ES, is included into the VNS with the goal of collecting the
promising schedules found along the search. It is composed of the fittest sched-
ules and those local optima with the highest diversity in ES. The diversity of
two schedules is measured as the number of tasks performed by different quay
cranes. At each step, E'S provides a pair of schedules o and ¢’ selected at random
(line 16) in order to be combined (line 17) and restart the search. The combina-
tion process keeps those tasks performed by the same quay crane, whereas the
remaining tasks are randomly assigned to one quay crane.
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Fig 1. Structure of the metaheuristic-based framework for the seaside operations

2.3 Integrated Approach

The service time of a given vessel is directly derived from the number and sched-
ule of its allocated quay cranes. As indicated in the introduction, the TBAP
assumes an estimation of this time in order to determine the berthing position
and the starting of the service time of each vessel. However, the real service time
is only known during the schedule of its tasks, which is defined by the QCSP.

In this work we propose a functional integration approach aimed at provid-
ing an overall service planning for container vessels arrived to port. The TBAP
and the QCSP are integrated into a framework that allows to tackle the depen-
dencies between both. The structure of the proposed framework is depicted in
Figure[ll Firstly, an estimation of the service time for each vessel within the time
horizon is pursued. In this regard, the QCSP is solved for each vessel by means
of some domain-specific solver for it, for example, the proposed VNS. In all the
cases, the number of considered quay cranes is the maximum allowed according
to the dimensions of the vessel at hand. Short computational times should be
used in this step due to the fact that it is intended to get an estimation of the
service time. Once the service time of each vessel is estimated, the TBAP is
solved through some optimization technique. The TBAP provides the berthing
position, berthing time and the subset of quay cranes allocated to each vessel.
However, the service time is estimated so far. Hence, the QCSP is solved for each
vessel using the real subset of allocated quay cranes. It is worth mentioning that
the real service time can be different to the estimated one and, therefore, it can
produce overlap in the service of the vessels. In order to avoid this fact, the last
stage of the framework (denoted by Feasibility Handler) adjusts the berthing
time of the involved vessels.

3 Discussion and Further Research

This section is devoted to individually assess the performance of the VNSs pro-
posed in order to solve the TBAP and the QCSP, respectively. In addition, the
effectiveness of the developed framework is analyzed in real size instances. All
the computational experiments reported in this work have been carried out on
a computer equipped with a CPU Intel 3.16 GHz and 4 GB of RAM.

Table [ presents a comparison among CPLEX, the Tabu Search combined
with Branch and Price (TS-BP) developed by Giallombardo et al. [2] and the
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Table 1. Comparison between VNS and TS-B&P (Giallombardo et al. [2]) for the
TBAP
Instance CPLEX TS-BP VNS
Name V. B P UBcprLex fBp—1s t. (S) fvns t. (S)

Apio 20 5 10 1383614 97.26 81 97.25 4.86
Ap20 20 5 20 1384765 97.19 172 96.99 10.49
Apzo 20 5 30 1385119  97.37 259 96.94 12.23
Bpio 30 5 10 1613252  95.68 308 96.66 12.46
Bpao 30 5 20 1613769  95.12 614 96.20 26.55
Bpzo 30 5 30 1613805 — 920 96.33 59.71
Cpio 40 5 10 2289660 97.41 1382 97.50 68.47
Cp20 40 5 20 2290662 97.37 3144 97.62 99.04
Cpzo 40 5 30 2291301  96.60 4352 96.72 223.1

proposed VNS. The first column (Instance) shows the instances to solve. For each
instance, the name (Name), the vessels (V'), the berths (B) and the profiles (P)
are presented. Column CPLEX shows the results obtained by CPLEX with a
maximum computational time of 2 hours. The next columns (TS-BP and VNS)
show the results obtained by TS-BP and VNS with k. = 5 and k1maee = 2,
respectively. In each case, the objective function value scaled up to 100 with
respect to UBcprex and the computational time (in seconds) are reported,
respectively.

The computational results illustrated in Table [Il indicate that the proposed
VNS is highly competitive for the wide range of problem instances at hand.
It reports the best-known solutions by means of short computational times, less
than 225 seconds in the worst case. This fact motivates its use within integration
strategies such as that proposed in Section[2:3] Furthermore, it is worth pointing
out that TS-BP requires larger times to provide solutions with similar quality.

Table Plshows a comparison for the QCSP between the proposed VNS and the
exact technique called UDS proposed by Bierwirth and Meisel [I]. The execution

Table 2. Comparison between VNS and UDS (Bierwirth and Meisel [I]) for the QCSP

Instance UDS VNS

Set n q fups t. (m) funst. (m) Gap (%)
10 2 459.9 1.12 E-5 459.9 0.001 0.00
15 2 666.6 3.68 E-5 666.6 0.017  0.00
20 3 604.8 6.26 E-4 604.8 0.096  0.00
25 3 804.6 3.43 E-3 804.6 0.254  0.00
30 4 730.2 0.10 730.2 0.570 0.00
354 863.7 1.08 865.5 1.140 0.24
40 5 753.0 2.37 759.0 1.930 0.89
45 5 889.8 19.16 891.0 3.240 0.15
50 6 817.8 23.97 818.1 4.780 0.07

—moQHEHOQ®m >
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Fig 2. Example of solution reported by the metaheuristic-based framework

of the VNS is stopped when 20 iterations are performed. In addition, we set
Emaz = 5 and an elite set with 10 solutions (5 by quality and 5 by dispertion).
Column Instance shows the name of the group of instances (Set), number of tasks
(n) and number of quay cranes (g) to solve. There are 10 instances in each group.
Next columns (UDS and VNS) present the average objective function value and
the average computational time (in minutes) required by both methods. In the
case of VNS, the gap between both solution methods is also reported.

There are no differences in the quality of the solutions found by both methods
in small instances. The time used by the VNS is slightly larger than the UDS.
However, there are relevant differences between the times for large instances. In
those cases, the VNS is also high effective. The reported solutions are optimal
or near-optimal in all the cases (with a gap below 1%).

We illustrate in Figure [2] a complete example of the solution reported by the
developed metaheuristic-based framework. We have V' = 5 vessels, B = 3 berths
and Q = 6 quay cranes. In this case, the berthing position and berthing time
of each vessel is defined within its time window by means of the VNS for the
TBAP. The tasks of each vessel (represented as small rectangles) are performed
by one quay crane (defined by the VNS for the QCSP). It is worth pointing out
that the interferences between quay cranes give rise to waiting times within each
vessel. In addition, the quay cranes have to wait for some vessel because it is
not already berthed, see vessel 3. Finally, as indicated in Subsection B3] after
knowing the real service time of each vessel, overlaps between vessels can appear,
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for instance, between vessels 4 and 5. In those cases, the Feasibility Handler is
devoted to appropriately delay the berthing time of the vessel 5.

The proposed metaheuristic-based framework is able to tackle high-dimension
instances. Its effectiveness is directly founded on the performance of the domain-
specific methods used to solve the TBAP and the QCSP. However, some direc-
tions can be followed for further research. First, container terminal managers are
highly interested on having a suitable management of the vehicles used to trans-
port the loaded and unloaded containers to/from the vessels. Our framework will
be extended for this purpose. Future works must address the dynamic nature of
the environment. For instance, the quay cranes are subject to breakdowns.
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istry of Economy and Competitiveness (project TIN2012-32608). Eduardo Lalla
Ruiz and Christopher Expdsito Izquierdo thank Canary Government and Caja-
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Abstract. This paper tackles a Restricted Dynamic Heterogeneous
Fleet Vehicle Routing Problem with Time Windows as a real-world
application of a courier service company in the Canary Islands, Spain.
In this particular application of the Vehicle Routing Problem with Time
Windows (VRPTW), customer requests can be either known at the be-
ginning of the planning horizon or dynamically revealed over the day.
Moreover, a heterogeneous fleet of vehicles has to be routed in real time.
In addition, some other constraints required by the company, such as the
allowance of extra hours for the vehicles, as well as, the use of several
objective functions, are taken into account. This paper proposes a meta-
heuristic procedure to solve this particular problem. It has already been
installed in the fleet management system of the company. The compu-
tational experiments indicate that the proposed method is both feasible
to solve this real-world problem and competitive with the literature.

Keywords: Dynamic vehicle routing, Time windows, Heterogeneous
fleet, Metaheuristics.

1 Introduction

Contrary to the classical static vehicle routing problems, real-world applications
often include evolution, as introduced by Psaraftis in 1980 [9], which takes into
consideration the fact that the problem data might change over the planning
horizon. Latest developments in fleet management systems and communication
technology have enabled people to quickly access and process real-time data.
Therefore, dynamic vehicle routing problems have been lately given more atten-
tion. Last decade has been characterized by an increasing interest for dynamic
routing problems, with solution methods ranging from mathematical program-
ming to metaheuristics (see Pillac et al, 2013 [§] for a comprehensive review of
dynamic vehicle routing problems).

* This work has been partially funded by the Spanish Ministry of Economy and Com-
petitiveness (project TIN2012-32608) and the Spanish Ministry of Industry, Tourism
and Trade (project TSI-020100-2011-298).

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 36-f5] 2013.
(© Springer-Verlag Berlin Heidelberg 2013
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The main goal of the Restricted Dynamic Heterogeneous Fleet VRPTW (RD-
HFVRPTW) tackled in this paper is to dynamically route couriers taking into
account not only the requests known at the beginning of the planning horizon,
but also new service requests that arrive over it. In the particular real-world ap-
plication posed to the authors by a company in the Canary Islands, all delivery
and about the 60% of the pick-up requests are known in advance, whereas the
remaining pick-up requests arrive over the planning horizon. Moreover, compa-
nies offering courier services often have a heterogeneous fleet of vehicles, which
represents an additional difficulty in the resolution of the problem. Using exact
methods is not a suitable solution for this kind of problems, since the arrival of
a new request has to be followed by a quick re-optimization phase to include it
into the solution at hand. Therefore, most dynamic problems rely on the use of
metaheuristics.

Solution approaches for Dynamic Vehicle Routing Problems (DVRP) can be
divided into two main classes: those applied to dynamic and deterministic routing
problems without any stochastic information, and those applied to dynamic and
stochastic routing problems, in which additional stochastic information regarding
the new requests is known. Given the fact that in the real-world application
tackled in this paper, the information is dynamically given by the company
fleet management system, we will focus on the first class of dynamic problems.
In this case, solution methods can be based on either periodic or continuous re-
optimization. Periodic optimization approaches firstly generate an initial solution
consisting of a set of routes that contain all the static customers. Then, a re-
optimization method periodically solves a static routing problem, either when
new requests arrive or at fixed time slots [I]. On the other hand, continuous
re-optimization approaches carry out the optimization over the day by keeping
high quality solutions in an adaptive memory. In this case, vehicles do not know
the next customer to be visited until they finish the service of a request.

The following literature references regarding periodic optimization approaches
to solve the DVRP with Time Windows (DVRPTW) are worth mentioning.
Chen and Xu [I] proposed a dynamic column generation algorithm for solving
the DVRPTW based on their notion of decision epochs over the planning hori-
zon, which indicate the moments of the day when the re-optimization process is
executed. Some other papers that make also use of time slices and solve static
VRPs are due to Montemani et al. [7], Rizzoli et al. [I0] and Khouadjia et al. [4].
In these last papers, requests are never urgent and can be postponed since time
windows are not handled. On the other hand, the work by Hong [3] does con-
sider time windows and therefore, some request can be urgent. Hong proposes
a Large Neighborhood Search algorithm for real-time vehicle routing problem
with time windows, in which each time a new request arrives, it is immediately
considered to be included in the current solution. In our work, the same con-
sideration is taken into account given the urgency of some requests. The main
differences of the problem tackled in this paper and the one proposed by Hong
are on one hand, the fact that we consider a heterogeneous fleet of vehicles, and
on the other hand, the fact that we consider a restricted version of dynamism.
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Furthermore, in our real-world problem customers and vehicles can have more
than one time window in the same planning horizon. In addition, customers can
be postponed according to their assigned priorities. There also exist constraints
that do not allow certain customers to be visited by some of the vehicles due
to road restrictions. Extra hours for the vehicles may also be allowed in our
problem, which incur in additional costs. Finally, several objective functions are
considered and hierarchically evaluated. Hierarchic evaluation means that the
functions are considered in a certain order, so that if two selected solutions have
equal objective function values for a function, then the next one in the order
is considered to break ties. The objective functions considered in this work are
total traveled distance, time balance, that is defined as the longest minus the
shortest route in time required, and cost, which includes fuel consumption and
other salaries.

The main contributions of this paper are the following. This work tackles a
variant of a Dynamic VRPTW, which handles all the real-world constraints re-
quired by a courier service company. The problem combines constraints, which
have not been managed all together in the literature as far as we know. A meta-
heuristic solution approach is proposed. Furthermore, this optimization tool has
been inserted into the fleet management system of the company Computational
experiments over instances based on the real ones are carried out in this paper.
Moreover, some preliminary experiments performed with the fleet management
system are quite promising. The static part of the problem has already been
successfully tested with other companies. The current state of this real-world
application is the on-line communication between the fleet management system
and the courier service company. Therefore, the last phase of the whole system is
the combination of the solver proposed in this paper with the rest of the system,
which will be performed in future works.

The rest of the paper is organized as follows. Section [ is devoted to thor-
oughly describe the real-world problem posed to the authors by the company.
Section [l summarizes the metaheuristic procedure developed to solve the prob-
lem at hand. Section @l reports the computational experiments performed in this
work. Finally, the conclusions are given in Section [Bl

2 Problem Description

The real-world VRPTW tackled in this paper is defined by means of a network
that contains the depot and a set of IV customer nodes, C, which represent
the requests characterized by their type (static or dynamic), demand, location,
arrival time, at; and time window, [e;, [;], which might not be unique. As indi-
cated above customers can have several time windows during the day. The depot
has an associated time window, [eg, o], and a set of K heterogeneous vehicles
V = {v1,.., vk } with different capacities VC = {vey, ..vck }, driving to a Hetero-
geneous Fleet VRPTW (HFVRPTW). Moreover, associated with each vehicle,
k, there are one or more time windows [evy, lvi]| that represent its working shift
and that can be different from one vehicle to another.
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As mentioned in the introduction, in the particular application of the courier
service company considered in this paper, all delivery requests and a percent-
age of the pick-up requests are known at the beginning of the planning horizon.
Therefore, these customers are considered to be static. The remaining pick-up
requests, which are known over the day, are considered to be dynamic and an
arrival time at; € [eg,lo] is associated to the dynamic customer i. Thus, a Dy-
namic HFVRPTW is being taken into consideration. At this point, it is worth
mentioning that the company does not allow exchanging delivery packages be-
tween vehicles due to operational purposes. If it were permitted, vehicles would
have to meet in some intermediate point and devote time to carry out the ex-
change. Therefore, the static customers (deliveries and pick-ups) that are routed
at the beginning of the planning horizon do not change their assigned route.
Finally, the dynamic customers have then to be assigned to any of the existing
routes while guaranteeing feasibility. The so obtained problem is referred to as
Restricted Dynamic HFVRPTW (RDHFVRPTW) in this paper.

The objective function associated to the problem has not yet been established.
An additional feature required by the company is the presence of multiple ob-
jective functions that have to be taken into consideration in the optimization
phase. The total traveled distance, time balance, infeasibility and cost are used
as it will be explained in the next section. The first objective function measures
the total distance traveled by all the vehicles involved in the solution. The time
balance function is stated as the time difference between the largest route and
the shortest route regarding time. The infeasibility function reports the sum of
time infeasibilities at each customer, i.e., the sum of the differences between
the arrival time which exceeds the time window of a customer, and the upper
limit of this customer’s time window. Finally, the cost function indicates the fuel
consumption.

In order to measure the dynamism of a given problem instance, Lund et al.
[6] defined the degree of dynamism of the system as follows:

|Cp|
N

where |Cp| indicates the number of dynamic customers. Moreover, since the
disclosure time of requests is also important, Larsen [5] defined the reaction
time of customer 4, that measures the difference between the arrival time, at;,
and the end of the corresponding time window, [;. Notice that longer reaction
times indicate that there is more flexibility to insert any new request into the
existing routes. Therefore, the effective degree of dynamism provided by Larsen
is stated as follows:

5= x 100,

e 1 li—ati
5TW:NZ(1— T )7

ieC
where T is the length of the planning horizon. These measures will be used in

the computational experience section to generate the set of problem instances
used in this work.
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3 Metaheuristic Solution Approach

The solution method proposed in this work to solve the RDHFVRPTW is sum-
marized in Algorithm 1, which will be now thoroughly described. First of all, an
initial solution consisting of all the static customers is generated by using the
Solomon Heuristic [I1]. The obtained solution is then improved running a Vari-
able Neighborhood Search algorithm proposed in [2] to solve the static problem
with all the constraints required by the company for which this dynamic problem
has also to be solved. This process (lines 3 — 4) is iterated for a certain number
of iterations and the best reached solution is selected to be implemented by the
company. In this step, all the requests known at the beginning of the planning
horizon are already inserted in a route. As indicated above, these requests are
not allowed to change their route assignments.

Algorithm 1. General Algorithm

// Create solution S containing all static customers
1 Initialize solution S™;
2 while (a mazimum number of iterations is not reached) do
3 S < Run Solomon Heuristic;
4 S’ + Apply the VNS proposed by De Armas et al. [2] to S;
5 if (S’ is better than S*) then
6 S* S

// Insert dynamic customers at their arrival times
7 while (a new dynamic customer, i, appears) do

8 Try to insert 7 in the closest feasible existing route, r if it exists;
9 if (route r does not exist) then
10 if (extra hours are allowed) then
11 Insert customer 7 in a route without any accumulated infeasibility

taking into account the different objective functions;

12 else

13 if (the priority of customer i allows it) then

14 Postpone customer i until the next day;

15 else if (there is an alternative permitted customer j that let the
insertion of 1) then

16 Postpone customer j;

17 else

18 Insert customer 4 in the route that supposes the smallest

infeasibility (if it coincides among routes, consider the remaining
objective functions);

19 Report infeasibility to the company;

Once the selected initial solution is being implemented, new dynamic cus-
tomers might be revealed over the planning horizon, which have to be inserted
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in any existing route. Let us suppose that the dynamic customer ¢ arrives at
time at;. As reported in line 8, the algorithm first tries to insert ¢ in the closest
possible feasible existing route. For each of these routes, from the last visited
customer to the last customer in the route, it is searched the feasible insertion
point either with the least distance or time balance increment. The company
is interested in either minimizing the total distance and the number of routes
or minimizing the time balance if all the available vehicles are used (stopping
available vehicles is not desirable). If there were ties, the remaining objective
functions are hierarchically evaluated. In this case, after the distance objective
or time balance and cost are considered.

If the previous option is not feasible and no feasible alternative is available for
customer 7, then there are two options. On one hand, in case that extra hours are
allowed for the vehicles (lines 10 — 11), violating their time window constraints,
customer ¢ is tried to be inserted in a route using time window infeasibility as the
objective function guiding the search. If there were ties, distance, time balance
and cost, are hierarchically taken into consideration. On the other hand, if extra
hours are not permitted by the company, then the notion of request priority
shows up. If customer i has a low priority, then it can be postponed until the
following day (lines 13 — 14). If it is not possible, but there is a customer j that
can be postponed allowing the insertion of ¢ (lines 13 — 14), then customer j is
postponed, while i is inserted. In order to select customer i, the objective func-
tions are hierarchically evaluated in the following order: number of postponed
requests, extra hours, distance or time balance and cost.

If all the previous attempts have failed, customer 4 is inserted in the route
with the least increment of the following objective functions (lines 17 — 18):
infeasibility, distance or time balance and cost. Finally, there are two cases in
which customer i cannot be inserted in the current solution: vehicle capacities
are violated or there is not any vehicle with a working shift long enough to insert
the new customer. In these two cases, the corresponding infeasibility is reported
to the company (line 19).

4 Discussion and Future Research

This section is devoted to analyze the performance of the algorithm proposed
in this work. Despite the fact that experiments within the real system have to
be carried out, the goals of the reported experiments are both to corroborate
the good behavior of the method and discuss the effect of the input data over
the total reached infeasibility. With these goals in mind, it has been created a
set of instances based on the real data provided by a company in the Canary
Islands, taking into account the features of the courier service company. A total
of 20 different instances consisting of 100 customers, from which the 20% are
dynamic, have been generated. In order to obtain instances with a wide range of
effective dynamism degrees, random, short and large reaction times have been
considered. Moreover, the standard Solomon instances are used to compare the
results given by our algorithm with the best known solutions form the literature.
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The first experiment reported in this section corresponds to the comparison
over the standard Solomon instances. Note that the algorithm proposed in this
work is thought to solve dynamic problems with the inclusion of all the real-world
constraints explained in previous section. Therefore, the method is not supposed
to be the most competitive over these instances, particularly due to the fact that
real instances have different features. Table [[] summarizes the comparative, in
which average values of number of vehicles (NV) and traveled distance (7'D)
are reported. The first column of the table shows the instance categories corre-
sponding to the Solomon instances. Note that in the worst case, the deviation
is about 5%.

Table 1. Computational results of the standard static Solomon instances

NV TD BestNV BestTD
C1 10.00 835.88 10.00 828.38
C2 3.12 621.01 3.00 589.90
R1 14.08 1252.41 11.91 1203.16
R2  5.00 988.26 3.00 941.87
RC1 13.62 1402.50 12.00 1345.56
RC2 6.00 1127.62 3.62 1111.99

The second experiment reported in this work is summarized in Figure [l It
shows, for each problem instance, the total infeasibility accumulated at the end
of the execution when random, short and large reaction times are considered.
It is noticeable that there is a clear difference between short and large reaction
times. Let us remind that the reaction time of a customer provides the difference
between the end of its time window and its arrival time. Longer reaction times
lead to a more insertion flexibility and therefore to less infeasibility. As indicated
in Figure[l] this expected behavior is obtained by our solution method.
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Fig. 1. Total infeasibility for different reaction times
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Table 2. Dynamic customers

Dynamic Request 81 82 83 84 85

Arrival Time

Dynamic Request 91 92 93 94 95

Arrival Time

86

96

87 88 89 90

97 98 99 100

Table 3. Solution example. Insertion of dynamic requests

Rl R2 R3 R4 R5
Last visited customer 4 5 4 5 4
Accumulated infeasibility 0 0 0 0 0
(C97,R5,5,0)
Last visited customer 7 8 6 9 7
Accumulated infeasibility 0 0 2060 O 0
(C99,R5,10,1751)
Last visited customer 8 9 7 9 8
Accumulated infeasibility 0 0 2060 0 1751
(C84,R7,17,0)
Last visited customer 8 9 7 10 8

Accumulated infeasibility 0 0 2060 3103 1751
(C94,R1,11,1475)

Last visited customer 10 11 8 11 9

Accumulated infeasibility 1475 0 5425 3103 1751
(C89,R5,12,1751)

Last visited customer 1 12 9 12 10

Accumulated infeasibility 1475 2211 5425 3103 1751
(C88,R5,13,3592)

Last visited customer 13 13 10 12 11

Accumulated infeasibility 1475 2211 5425 3103 1751
(C96,R5,14,3153)

Last visited customer 14 13 11 13 11

Accumulated infeasibility 2945 2211 5425 3103 3153
(C86,R1,21,3776)

Last visited customer 17 16 11 13 14

Accumulated infeasibility 3776 2211 5425 3103 3153
(C98,R2,20,4814)

Last visited customer 21 18 12 15 16

Accumulated infeasibility 3776 4814 5425 8586 3153
(C90,R5,17,8332)

4.1 Example Solution

R6
3
0

R1 R2 R3 R4 RS
5 6 5 6 5
0 0 0 0 0
(C85,R3,8,2060)

8 9 7 9 8
0 0 2060 0 1751
(C81,R4,16,0)

8 9 7 10 8
0 0 2060 0 1751
(C93,R4,13,3103)

9 9 7 10 38

1475 0 2060 3103 1751
(C100,R3,11,5425)
1112 9 12 10
1475 0 5425 3103 1751
(C95,R2,19,2211)
12 13 9 12 10
1475 2211 5425 3103 3592
(C83,R5,13,1751)
14 13 10 13 11
1475 2211 5425 3103 3153
(C92,R1,20,2945)
14 13 11 13 11
3776 2211 5425 3103 3153
(C91,R3,12,5425)
19 17 12 14 14
3776 4814 5425 3103 3153
(C82,R4,15,8586)
22 19 13 15 16
3776 4814 5425 8586 8332
(C87,R5,17,8612)

43

14105 27790 19617 14111 9494 21474 31747 19119 17287 30821

21811 21064 14527 15419 19106 20479 7725 25892 12850 15807

R6

In this section, a solution example corresponding to a problem instance with
short reaction times is provided. The initial static solution is 0 — 15— 73 — 17 —
16-40-5-72-51—-67—37—47—-78—-68—-25—-9—-13-27—-45—-8—-39—
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53—34—-0—-11-54—-29—-70—-55—-22—-42—-38—-36—79—-43—10— 57—
48—1-75—-74—26—-18—-65—-0—32—-71—-21—-76—60 — 44 — 80 — 56 —
61-0—-52—-64—23—-58—-12—-7—49-31-20—-28—-69—-33—3—-19—62—
0-46—-14—-4—-24—-77-35—-66—-6—-30—-59—-41—-2—-0—-63—50—0,
where routes R1 to R6 are separated by zeros. The dynamic customers go from
C81 up to C100, and their arrival times in seconds are shown in Table 2l Table
reports how the dynamic customers are inserted indicating if they incur in any
infeasibility. In this table, as an example, vector (C85, R3, 8,2060) indicates that
customer C85 is inserted into route R3 in position 8 leading to an infeasibility
value in time equal to 2060. The dynamic customers are selected according to
their arrival times to be inserted into the current solution. Firstly, customer C97
is taken into consideration and the best position into every route is calculated. In
this case, C97 is inserted in position 5 of route R5 because it produces the least
traveled distance increment. Then, customer C85 arrives and has to be served
in any of the routes. The best option corresponds to position 8 of route R3,
reaching a total infeasibility value of 2060. The remainder customers are then
selected and inserted as indicated in Table Bl For those readers interested in
replicating the experiment, the instance used in this section can be downloaded
from https://sites.google.com/site/geiports/vrptw/dynamic-vrptw.

5 Conclusions

This work tackles a variant of a Dynamic VRPTW, which handles all the real-
world constraints required by a courier service company. The problem combines
constraints, which have not been managed all together in the literature, as far as
we know . A metaheuristic solution approach is proposed for solving the problem
at hand. It is worth mentioning that this optimization tool has been inserted
into the fleet management system owned by the company, who is the technical
support of the previous one and the nexus with our research. The computational
experience carried out in this work over a set of generated instances based on
the real ones, has a twofold goal, corroborating the good behavior of the method
and discussing the effect of the input data over the total reached infeasibil-
ity. Moreover, preliminary experiments that have been performed with the fleet
management system are quite promising. The current state of this real-world ap-
plication is to set up the on-line communication between the fleet management
system and the courier service company, which is being correct. Therefore, the
last phase of the whole system is the combination of the solver proposed in this
paper with the rest of the system, which constitutes future research.
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Abstract. This work is motivated by a real problem posed to the au-
thors by a company in Tenerife, Spain. Given a set of service orders,daily
routes have to be designed in order to minimize the total traveled dis-
tance while balancing the workload of drivers in terms of required time.
A bi-objective mixed-integer linear model for the problem is formulated
and a solution approach, based on metaheuristics, is proposed. One the
main handicaps associated to this approach is the fact that it is very
time consuming for non-standard literature instances, mainly due to the
the initial solution generation method. Therefore, the goal of this work
is to study the performance of three different ways to build the initial
solutions and observe what is their impact on the approximations of the
Pareto Front for Solomon instances of 100 customers. Results obtained
on a real instance are also discussed.

Keywords: VRP with time windows, metaheuristics, bi-objective
problem, initial solutions.

1 Introduction

We study a bi-objective Vehicle Routing Problem with Time Windows
(VRPTW) motivated by a real problem in the Canary Islands, Spain. It involves
the design of daily routes from a central depot to a set of several geographically
dispersed customers with known demands and predefined time windows, using a
fleet of identical vehicles of known capacity. The service-time windows indicate
the earliest and latest times for starting the service at each customer. Economic
and social viewpoints stated by the company trigger the following two conflict-
ing objectives: to minimize the total traveled distance and minimize the differ-
ence between the maximal and minimal route lengths regarding time. Recent
approaches recognize the VRPTW as a multi-objective optimization problem.

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 46-p2] 2013.
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For an overview, see [3], [4]. The main difficulty involved in solving this type
of problems is the large computational cost, so that the last two decades have
been characterized by the development of approximate solution methods. To the
best of our knowledge, the two objectives tackled in this work have not been
previously considered.

We provide an integer linear program to model the problem and an algorithm
based on metaheuristics to solve it, both developed by the authors in [9]. Com-
putational results obtained with this tools showed that the proposed method
produces good approximations of the Pareto frontiers and yields significantly
better results than those obtained by the tools currently applied by the com-
pany, both in quality and in the expended time for obtaining them. The goal of
this paper is to analyze the effect of the initial solutions generated using three
different algorithms in the final Pareto fronts.

2 Mathematical Formulation

In order to make this paper self-contained we briefly report the mathematical
model used in the paper to obtain the Pareto fronts for small instances of 25
customers. The bi-objective VRPTW tackled in this paper can be modeled on
a complete graph, whose nodes are the n customers plus the depot (denoted by
0). In the following, V' = 0,1, ...,n denotes the set of indexes of the nodes and
subset I denotes the set of indexes for the customers; d; indicates the demand of
customer 4; ¢;; represents the cost for using arc (i,7); @ is the capacity of each
vehicle; ¢;; is the travel time from node 4 to node j using arc (4, j); s; denotes the
service time at customer ¢; and a;(b;) denotes the earliest (latest) time instant
for starting the service at customer 3.

In the case of the depot, so = 0, ag = 0, bg =7'. Decision variables z;; are
binary. They are equal to 1 if arc (i,7) is used in any route, and 0 otherwise.
Auxiliary variables e; denote the instant at which the service starts at customer
1; u; represents the accumulated demand serviced along a route after visiting
customer 1.

Mathematical models for classical VRPTW, which include constraints (1)—(6)
below, may be found in the literature. Constraints (1) ensure that each customer
is served by exactly one vehicle; (2) are the flow conservation equations; (3)
and (4) concern to sub-tour elimination and vehicles capacity; (5) and (6) are
time-windows constraints.

Z Tij = 1, Vjel (1)

VieV,itj
Z Tij — Z Ty = 0, VieV (2)
ViEV,j£i VieV,itj

U —uj+ Qui; <Q—dj, Vi,j €1,iF# ] (

diSUiSQa Viel (

a; < e; < b, Viel (5

ei—ej+(bi+s+tij —a)ri; <bj—a;,Vi,jel,i#j (
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This set is completed with the following constraints:
u; > 0,e; >0, Viel (8)

They focus on minimizing the total traveled distance or number of routes. How-
ever, we are interested in the total length of the routes as well as in their balance
regarding time. When time balance is also considered, constraints (6) do not
guarantee that service starts as soon as possible, artificially lengthening routes.
Let v; denote the instant at which a vehicle arrives at customer ; w; the time
a vehicle must wait before starting the service at customer ¢ and r;; = wj if
arc (i,7) is used, and 0 otherwise. Binary variables y; will be equal to 1 if the
vehicle arrives before the beginning of the time window for customer 4, and 0
otherwise. Then, constraints (9) to (11) are required to compute the instant at
which service starts at customer j, while constraints (12) to (15) are added to
enforce the service to start as soon as possible.

e; —ej + (bi + si +tij — aj)zii+

'*‘(bZ — 55 — tji — aj)xji +ri; — 15 <b; — aj, V’L,] c I,] 7£ ) (9)
ei=vi+ » 1, Viel (10)

VjeEV,j#1
OS’I“Z‘]‘ Sbol‘ij, VZEVY,V]EI (11)
v; + boy; < a; + by, Viel (12)
v; + boyi > ag, Viel (13)
Z Tji — bOyi < 07 Viel (14)

VieV,j#i

e; — (bl — ai)yi < bi, Viel (15)

Constraints (16) and (17) ensure that service starts as soon as possible at the
first customer visited in any route and (18) relate the time a vehicle reaches a
customer with the time the vehicle leaves the preceding customer.

v; > t0:T0s, Viel (16)
e; < (toi — bi)xoi + 70i + by, Viel (17)
ei —vj + (bo + si + tij)zi; <bo,Vi,jel,i#j (18)
To compute the longest (shortest) route, (19) and (20) are required.
Liaz > €+ 8; + tioxio, Vi € 1 (19)
Liin < €; 4 8i + tiozio + (1 — zi0)bo, Vi € T (20)

Then, the mathematical model[9] proposed in this paper is stated as follows:
min(zl, 22),

where z; = Z Z ¢ij®y; and 29 = Limaz — Limin,
i€V jEV,j#i
s.t. (1) to (20)
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3 Solution Approach

Multi-objective programming techniques focus on finding the set of efficient
points or, in the case of heuristic procedures, an approximation of the efficient
set. In order to solve the combinatorial optimization problem tackled in this
paper, we propose a Scatter Search (SS) based metaheuristic algorithm that
borrows ideas proposed by Molina et al. [5] for non-linear multi-objective opti-
mization. SS is a population based method that uses a set of high quality and
disperse solutions (RefSet) to create new ones. The neighborhood structure
used in the local searches is defined by removing a customer from one route and
re-inserting it in a different one. The objective functions guiding the search are
the total traveled distance (Distance), the time balance (T'imeBalance) and a
combination of both objectives (Compromise). An outline of the algorithm is
shown in Algorithm [

Algorithm 1. General SS Algorithm
while (|Pop| < PopSize oriter < Max Iter)) do
S <+ Feasible solution created by the H1 Solomon, Beasley or Potvin
algorithm;
St « LocalSearchDistance(S);
S? + LocalSearchTimeBalance(S");
S% < LocalSearchDistance(S?);
S* + Local SearchCompromise(S?);
while (no new solutions in Ef ficientSet or iter2 < Max iter2) do
Generate or Update the Ef ficientSet;
Generate RefSet, such that |RefSet| = 20;
Apply the combination process;
Run LocalSearchCompromise over the obtained solutions;
Update RefSet;

Where Mazx iter and Max iter2 are given parameters.

3.1 Create Initial Solutions

In this step we create an initial population (Pop ) with PopSize solutions
using three different algorithms: the Solomon sequential heuristic 11 [7], the
Route—first cluster—second algorithm proposed by Beasley[l] and the paral-
lel route building algorithm proposed by Potvin and Rousseau [8] with some
modifications. Since the resolution of the VRPTW is very time consuming, the
rationale behind this contribution is finding the fastest initial algorithm that
does not deteriorate the solution quality.

In the Solomon Heuristic I1, routes are created one at a time. A route is ini-
tialized with a seed customer, using two criteria, the farthest unrouted customer,
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Table 1. Coverage Measures comparing the Real Solution and PR

NofPoints PR PF PR
PF 4.89 0.94 PF 0 042
1.69 0.09 PRO0.23 0
PR 1225 0.93 Coverage of two sets
7.9 0.09

and the unrouted customer with the earliest deadline. The remaining unrouted
customers are added to this route until the time windows and/or capacity con-
straint is reached. If unrouted customers remain, the initialization and insertion
procedures are then repeated until all customers are serviced.

In the route—first cluster—second algorithm, as the name suggests, we first
need to construct a TSP tour over all customers and then choose an arbitrary ori-
entation of the TSP, partition the tour according to capacity and time windows
constraints, finally solve a shortest path problem.

The third algorithm by Potvin and Rousseau, builds routes in parallel rather
than one at a time, selecting the next customer to be inserted based on a generali-
zed regret measure over all routes. In the initialization phase of this procedure,
a set of n, routes is initialized at once, and the remaining customers are then
inserted into any of those routes. One difficulty with this parallel strategy is to
decide what the initial number of routes, n,, should be. Potvin and Rousseau
[8] estimate n, by applying the sequential algorithm of Solomon [7] only once,
and select as customers seed for each parallel route, the farthest customer from
the depot in each one of the routes generated by the sequential algorithm of
Solomon.

4 Computational Experiments

Computational tests were conducted on a processor Intel Core with a 3.404 GHz
and 4 GB RAM, under Ubuntu. We used instances with 50 and 100 customers
from the standard Solomon VRPTW benchmark. To assess the quality of the
approximate fronts produced by our method, they were compared with opti-
mal fronts obtained by the developed model and the weighted-sum method [2].
Eleven combinations of the objective functions z; (distance) and zz (time bal-
ance) were considered: z = a121 + agz2, where oy and «s range from 0 up to
1 with increments of 0.1. Optimal solutions were found using the Cplex 11.1
with a maximum time of 2 hours each combination. We used instances with 25
customers from the standard Solomon VRPTW benchmark for this purposeand
and Table [Ilsumarizes the obtained results, and show for example that PR finds
efficient fronts with a larger number of points and coverage measure shows that
this algorithm dominate the exact model.

Due to space restrictions, results are averaged over all instances. Table[2shows
the comparison between the three algorithms for generating the initial solutions,
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Table 2. Average of Nofpoints and SSC

50customers 100customers
NofPoints SSC NofPoints SSC
SolH 15.982 0.909 20.304 0.897
5.061 0.049 6.548 0.050
Beasley 23.929 0.879 23.929 0.879
8.596 0.091 8.596 0.091
PR 16.196 0903 16.804 0.868
6.895 0.060 8.737 0.102

Table 3. Coverage measure for all test problems

50customers 100customers
SolH Beasley PR SolH Beasley PR
SolH 0.00 0.62 0.48 0 0.498 0.492
Beasley 0.28 0.00 0.31 0.44 0 0.439
PR 0.39 0.60 0.000.351 0.45 0

Table 4. Average of Best Distance Solution comparing SolH1, Beasley and PR

50customers 100customers
D CPU D CPU(time)
SolH1 628.79 58.14 1088.63  380.26
Beasley 655.34 545.90 1087.68  1329.05
PR 628.55 248.86 1084.77 358.8

Table 5. Real instance results

SolH Beasley Potvin  Company solution
D TB D TB D TB D TB
838.6 10320 820.4 7260 818.3 8160 1247.3 14040

Solomon Heuristic [7], Sol H1, route—first cluster—second [I], FRSC, and Potvin
and Rosseau [§], PR, wusing the metrics [2] number of points
(NofPoints), size of the space covered (SSC) and Table [B] shows the cover-
age of two sets. Table @ reports the average of the best distance values (D) and
CPU times yielded by solutions of the approximate fronts obtained by each
metodology. The results show that SolH is capable of finding a larger number
of points of the approximation of the efficient front and the C(SolH, ) metric,
confirms that SolH obtains efficient fronts with better non-dominated solutions
and the CPU time required is one of the smaller.

Table shows the value of each objective obtained by the proposed
metho-dology and the company solution.

To conclude, the experimental results suggest that the best alternative to
construct the initial solutions for the scatter search algorithm is applying the
Solomon sequential heuristic I1[7].
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5 Conclusions

The VRPTW is a highly constrained problem. Time windows constraints make
it difficult to solve, requiring a meticulous design of heuristics to obtain high
quality solutions. This situation becomes more critical when more than one cri-
terion is involved, leading to time consuming algorithms. This is particularly
problematic when a real-world problem has to be solved. The goal of this work
is to analyze the effect of the initial solution generation method in the final
Pareto fronts and in the computational times. The algorithm used to solve the
problem is bases on the scatter search metaheuristic, which was tested using
the three considered initial solutions. In order to make the paper self-contained,
a mathematical model for the bi-objective VRPTW motivated by a real prob-
lem is also shown. Computational experiments show the influence that we have
when applying different methods for constructing the initial solutions. Finally,
our results outperform the company solution for the real data.
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Abstract. We consider a path planning problem wherein an agent needs
to safely and swiftly navigate from a given source location to a destination
through an arrangement of disk-shaped obstacles. The agent possesses a
limited neutralization capability in the sense that it can neutralize a
certain number of obstacles enroute and pass through them safely upon
neutralization. Optimal utilization of such a capability is called the neu-
tralization problem. This problem is essentially a shortest path problem
with resource constraints, which has been shown to be NP-Hard except for
some trivial variants. In this study, we propose an ant system algorithm
for the neutralization problem. In the proposed algorithm, the state tran-
sition rule makes use of certain problem-specific information to guide the
ants. We show how the parameters of the algorithm can be fine-tuned for
enhanced performance and we present limited computational experiments
including a real-world naval minefield dataset. Our experiments suggest
that the proposed algorithm finds high quality solutions in general with
reasonable computational resources.

Keywords: ant system, path planning, metaheuristics, optimization.

1 Introduction

In this study, we tackle a path planning problem where the goal is to safely and
swiftly navigate an agent from a given source location to a destination through
an arrangement of disk-shaped obstacles in the plane. The agent is given a
neutralization capability with which the agent can safely traverse through the
disc after neutralizing it for a cost added to its traversal length. However, number
of allowed neutralizations is limited, say by K, due to a particular reason such
as the payload capacity of the agent or vehicle. The central issue here is how to
direct the agent to optimally utilize this neutralization capability. This problem
is called as the neutralization problem [I] which is NP-Hard.

Ant colony optimization (ACO) [2] is one of the most commonly used meta-
heuristics to solve path planning problems. The ACO is an umbrella concept that

* This work is supported by Marmara University Scientific Research Committee under
the project ID FEN-D-100413-0135.
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has some variations including ant system (AS) [3], ant colony system (ACS) [3],
elitist ant system [4], max-min ant system (MMAS) [5] and some more [2].
The neutralization problem is also a path planning problem and the purpose of
this study is to utilize the AS to solve this problem.

The rest of this paper is organized as follows. Section 2 presents an overview
of the AS. Section 3 gives the definition of the neutralization problem. In Section
4, we describe our AS algorithm and how it is applied to solve the neutraliza-
tion problem. Section 5 reports the results of experiments and their discussion.
Section 6 concludes the paper with some future work.

2 Ant System

Ant system (AS) algorithm was first introduced by Marco Dorigo in 1992 and
applied for solving the Travelling Salesman Problem (TSP) [4l6]. The AS is
inspired by real ants life. In real life, ants can find the shortest path between
their nest and food with the help of the pheromone [3]. Pheromone is a kind of
chemical that is used by some kind of animals in different ways. Ants use it to
communicate each other while finding the shortest path between the nest and
the food. When an ant passes from a path, it lays some pheromone on this path
which causes this path to become more desirable by other ants. At the same
time, there is pheromone evaporation on all paths. Then paths which are not
selected by ants become less desirable because of the pheromone evaporation.
For a better understanding, consider the example given in Fig. [l

Fig.1. (a) Ants are walking between food and nest without any obstacles on their
path. (b) An obstacle occurs. (¢) About half of the ants choose the upper path, the
other half chooses the lower path. (d) Since ants walking on the shorter lower path
reach the other side more quickly, more pheromone accumulates on the shorter path.
Consequently, more and more ants start to choose this lower path over time.

The AS algorithm can easily be explained by considering the TSP as the
tackled problem. Consider a graph (V,E) where V represents the set of cities
and F is the set of edges between cities. In this graph, edges have travelling
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costs (0). In addition to the travelling costs of edges, the AS algorithm needs to
use the desirability value (7) for each edge. The desirability in the algorithm is
analogous to the pheromone in the real life and they will be used interchangeably
through this manuscript. Different from the constant travelling costs of edges,
the level of pheromone on each edge changes during execution of the algorithm
based on the ants edge preferences. The goal of the TSP is finding the minimum
closed tour length by visiting the each city only once [].

In the implementation of the AS algorithm for TSP, each ant is initialized
and then placed on the cities randomly (there must be at least one ant at each
city). The edges are initialized to a predetermined initial pheromone level (7).
Then, the ants start their tours. Each ant tries to complete its tour by choosing
the next city, if it is not visited before, according to the state transition rule.
The state transition rule assigns probabilities based on the pheromone level and
travelling cost to the edges. When all ants complete their tours global update
rule is applied to all edges. By applying the global update rule, the level of
pheromone on edge which is selected by ants increases and also at the same time
pheromone evaporation occurs on all edges. The edges which are not selected
by ants lose pheromone quickly and have less desirability, which means that the
probability for being selected by other ants decrease.

State transition rule is applied according to the formula given by (IJ). This
formula gives the probability of ant & that wants to go from city a to city b.

@ 0/5@n)?
pe(a,0) = 4 Tucspcolr@m)i/staanys 10 E Jila) (1)
0, otherwise

where 7 is the pheromone, 6(a, b) is the cost of edge that is between city a and
city b. 8 is a parameter which determines the relative importance of pheromone
versus distance (8 > 0). Ji(a) is a set that keeps the unvisited cities. In (), by
multiplying the 7(a,b) and the heuristic value 1/6(a,b), the edges which have
shorter length get higher pheromone.

When all ants complete their tours, global update rule is applied to all edges
according to the formula given in (2)).

(a,b) = (1 — a).7(a,b) + Y Ari(a,b) (2)
k=1
Ary — { le , if (a, b? € tour done by ant k
0, otherwise
« is pheromone decay parameter between 0 and 1, m is the number of ants and
Ly, is tour length performed by ant k.
In the next section, definition of the neutralization problem will be given.

where

3 The Neutralization Problem

Neutralization problem instance is a tuple (s, t, A, ¢, K), where s is start point
and ¢ is terminal point in R?, A is a finite set of open discs in R?, ¢ is a cost
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function R>g, and K is a given constant in R>g. In this problem we have an
agent that wants to go from s to ¢. This agent cannot enter the discs unless
he/she has an option to neutralize discs that can be considered as obstacle or
threat like mine. The agent has neutralization capability that is limited with K
number of discs where K < |A|. When discs are neutralized their neutralization
cost is added to the cost of the path. In this problem our aim is taking the agent
from s to t safely and using the shortest path.

An example for the neutralization problem is given in Fig. 2 In this figure,
each disc has radius of 3 and neutralization cost of 0.8. As seen in figure, when
our agent has K = 0 neutralization, (s)he chooses path 1. Similarly, when K =
1, 2, 3, paths 2, 3 and 4 are our optimum paths, respectively. For K = 1, only
Ag neutralized, for K = 2, A5 and Ag are neutralized and for K = 3, A5, Ag
and A7 are neutralized.

----- pathl
---- path2

Fig.2. An example to the neutralization problem and optimal paths for K=0,
1, 2 and 3

Similar to the TSP setting, an instance of the neutralization problem is rep-
resented by graph (V,E). In this graph there is also a set of discs and the edges
intersecting these discs have additional travelling cost which is calculated pro-
portionally by the number of discs intersected. Actually, these additional costs
represent the neutralization cost of the discs. Another property of the edges is
their weight values. Simply, weight of an edge represents the intersection status
with a disc. So, the number of intersecting discs determines the weight value for
an edge. Cost and weight of a path on the graph are sum of costs and weight
of the edges on the path. Therefore the weight property of a path is used for
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checking its feasibility, i.e. satisfying the maximum number of neutralization (K)
constraint.

To our knowledge, the neutralization problem defined above is studied in [I]
where the authors develop a two phase algorithm for solving the neutralization
problem. However, their proposed algorithm is based on the assumption that
every disc has the same radius and same neutralization cost. In this paper, that
constraint is released and we provide a solution method for more realistic scenar-
ios. On the other hand, neutralization problem is closely related to the problems
undertaken in real world applications in diverse fields such as telecommunications
routing [7], curve approximations [§], scheduling and minimum-risk routing of
military vehicles and aircraft [9]. Therefore, the techniques developed in this
study may also be applied to other application domains.

In the next section, we provide the details of the ant system algorithm pro-
posed for solving the neutralization problem.

4 Ant System Algorithm Proposed for Solving the
Neutralization Problem

In the neutralization problem, we have an agent and this agent wants to go from
the start point (s) to the target (¢) point. From now on ants are our agents and
our aim is still the same, we want to take these agents from s to t safely using
the shortest path algorithm.

In our AS design, we made use of costs of the shortest paths from each node
to destination. The cost of shortest path on each vertex guides the ants on
their decisions. However the shortest path information is not enough to guide
an ant, because a shortest path may be infeasible due to its weight. Therefore,
the ant should also be aware of the weight information of the shortest paths.
The pheromone level on each edge is definitely another guiding tool for the ants.
With all these information at hand, the ant will choose the vertex to go next at
each step. Our AS algorithm developed for the neutralization problem is given
in Fig. Bl

We modified the original state transition rule (Il) to apply to our problem.
The probability of ant k that wants to go from vertex a to vertex b, in state
transition rule is found according to the formula given in (3).

Zue‘,k(a)[‘r(a,u)].[1/(w(a,u,t).6(u,t))]ﬂ
0, otherwise

[7(a,b)].[1/(w(a,b,t).8(b,t))]P fhe J
pk(a, b) _ { 1 k(a) (3)

where 7(a,b) is the pheromone level of edge which is between vertex a and
vertex b, t is our terminal or destination point, §(b,t) is total cost of path that is
between vertex b and vertex ¢ (terminal). 8 is a parameter which determines the
relative importance of pheromone versus distance (8 > 0). Ji(a) is a set that
keeps possible vertex to go. w is the weight function which is found by
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1. for each edge (a,b)
2. 7(a,b) =10
3. end for

4. /*Main loop*/

5. for n iterations

6. for each ant k

7. uk) =K

8. place ant k£ on s

9. end for

10. repeat

11. for each ant k

12. /*suppose that ant k is at vertex v*/

13, if (u(k) < 7(A(©)))

14. return the shortest path found by Dijkstra’s algorithm
15. end if

16. ant k chooses next vertex according to (3]

17. if next vertex == null /*this means ant is jammed*/

18. restart ant k by placing it at s and setting u(k) = K
19. end if

20. end for

21. until all ants reach ¢

22. for each edge (a,b)

23. apply global update rule given in (2))

24. end for

25. end for

26. return best path found

Fig. 3. Ant system algorithm proposed for solving the neutralization problem

w(a,b,t) = n(Aa)) — p(k) +9(a,b) + 1 (4)

where A(a) is the shortest path from vertex a to ¢, n(A(a)) is weight of shortest
path from vertex a to ¢, u(k) is the number of remaining neutralizations for ant
k, ¥(a,b) is weight of edge which is between vertex a and vertex b. In this for-
mulation, we favor the edges which have greater amount of pheromone, and which
have smaller cost and smaller weight on the shortest path to t. Global update rule
that we use in our problem is exactly same as in ([2]).

In the next section there will be some computational experiments on real and
synthetic data.

5 Experimental Work and Discussion

After designing the ant system algorithm for solving the neutralization problem,
computational tests are carried out to assess its performance. The computational
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tests are conducted both on real and random discrete minefields. The real mine-
field has 39 discs on a [0, 92]x[0, 80] rectangle [I0]. On the other hand there are
seven random minefields each having 100 discs on [0, 100]x[0, 100] rectangles.
The real minefield and one of the random minefields are given in Fig. @l

The performance of AS is compared with the exact solutions that are obtained
by an exact algorithm having a high order of run-time complexity. The exact
method used in this study is a novel approach which is currently being developed
and based on applying k—th shortest path algorithm starting from a lower bound
solution. On the average, our proposed AS obtains the solution in 290 seconds
for ten ants and ten iterations whereas the exact algorithm requires 69 hours.

Fig. 4. Real minefield (left) and a random minefield (right)

For the AS proposed in this study, we followed the following work plan to find
out the best performing parameter values from the set given in Table[Il Before
that, we should note that when the modified AS is run with a parameter set,
the best path of the ants is recorded as the output of that run.

To find out the best parameter values for a parameter of modified AS, say
B3, the parameter is fixed to a value, say 2, and all results taken with various
combinations of m, a and n are averaged to find out average results for that value
of the parameter. In this way, the average performance of the parameter value
on all circumstances is presented. This analysis is repeated on all minefields. AS
has four parameters and their values make a total of 270 different combinations.
The performance analysis for the parameters is given in Table [[lwhere both cost
of best path and its percentage deviation from the exact solution are displayed.

We may reach the following conclusions after analyzing Table [[I We firstly
observe that increasing the value of the 8 parameter gives better paths. Based
on the state transition rule, we can say that the increase for § means the ants
are guided to the shortest but feasible paths. It is interesting to note that the
value of the a parameter does not have any significant effect on the performance.
On the other hand, increasing the number of ants (m) and number of iterations
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Table 1. Performance analysis of parameter values

parameter real minefield random minefield(avg)

values tc dev tc dev

5 78,38 5,2% 117,85 8%

m 10 76,97 3,3% 117,45 7%
20 76,97 3,3% 116,50 6%

1 113,88 52,9% 150,18 37%

2 101,40 36,1% 136,50 25%

8 5 95,36 28,0% 132,20 21%
10 87,60 17,6% 128,27 17%

20 81,11 8,9% 120,16 10%

100 76,97 3,3% 116,42 6%

0,01 77,80 4,4% 117,36 7%

0,02 76,97 3,3% 117,21 7%

« 0,05 76,97 3,3% 117,57 7%
0,10 76,97 3,3% 116,77 7%

0,20 76,97 3,3% 117,34 7%

10 76,97 3,3% 117,58 7%

n 50 76,97 3,3% 117,02 7%
100 76,97 3,3% 116,89 7%

Table 2. Detailed performance analysis of the § parameter

B avg avg dev
50 124,87 14,1%
60 122,48 11,9%
70 121,17 10,7%
80 120,73 10,3%
90 120,49 10,1%
100 120,26  9,9%
110 118,89 8,6%
120 119,95 9,6%
130 126,71 15,8%
140 125,58 14,7%
150 124,61 13,9%

(n) bring better paths which is expected due to pheromone update. When more
ants pass from a path with more iterations, pheromone level on this path is
increased. We should note that the best parameter set shows a performance
about %6 away from the optimum. Most of this gap is due to the zigzag patterns
of the paths that is a result of the stochastic decisions of ants (see Fig. €.

One wonders about the limit of 5 where the performance increase stops. To
reveal this, we ran the modified AS algorithm with a mesh of 8 values where a;, m
and n were set to 0.1, 10 and 100, respectively. The results are given in Table 2l
It can be easily observed that the performance with respect to various 3 values,
shows a U shape result. That is, the performance gets better for increasing values
of B from 1 up to 110 and the best performance is obtained when 8 = 110. The
reason why the performance deteriorates after S = 110 is due to the probability
values converging to zero.

6 Summary, Conclusions and Future Work

In this study, an ant system algorithm is developed and tested for solving
the neutralization problem. Proposed ant system algorithm differs from the
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original AS in the state transition rule. In our state transition rule, we favor
the edges which have greater amount of pheromone, and which have smaller
cost and smaller weight on the shortest path to the destination. The perfor-
mance of the proposed AS algorithm is compared with exact solution both on
real and synthetic data and the results are promising. As a future work, the algo-
rithm can be improved by applying some postprocessing or by trying some other
state transition rule rules. In addition, other ACO algorithms may be exploited
to solve neutralization problem.
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Abstract. Statistical fraud detection problem is a very difficult problem in that
there are very few examples of fraud. The great majority of transactions are
legitimate. On the other hand, for this binary classification problem the costs of
the two types of classification errors (FP=false positive and FN=false negative)
are not the same. Thus, the classical data mining algorithms do not fit to the
problem exactly. Departing from this fact, we have solved this problem by ge-
netic algorithms and scatter search. Now, we apply the recently developed new
metaheuristics algorithm namely the migrating birds optimization algorithm
(MBO) to this problem. Results show that it outperforms the former approach.
The performance of standard MBO is further increased by the help of some
modified benefit mechanisms.

Keywords: migrating birds optimization algorithm, fraud, credit cards, genetic
algorithms.

1 Introduction

When a credit card is copied or stolen, the transactions made by them are labeled as
fraudulent. These fraudulent transactions should be prevented or detected in a timely
manner otherwise the resulting losses can be huge. Banks typically use two layers of
fraud prevention/detection systems; rule based layer and statistical analysis layer.
Here we are concerned with the statistical layer only where an incoming transaction is
compared to card usage behavior of the card holder and if there is a considerable
deviation, a high suspicion score is returned.

Statistical fraud detection is not an easy problem at all due to several reasons. First,
fraud data sets are extremely skewed; out of 100.000 transactions only a few turn out
to be fraud [1]. Secondly, the techniques used by fraudsters change in time gradually
[2-4]. Thus, a model developed now may not be effective enough in future. In
addition to these the idea exchanges between the banks are very limited because of
the privacy issues; no one wants other banks know how many frauds they were faced
with and no bank shares details of their solution if they think they have a good one. In
this regard, our study differentiates from many in literature and although we will not
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be able to share all details, we will be talking about a fraud detection solution
developed using real data and implemented in real life.

Due to its importance it is possible to find a lot of studies on fraud detection in
literature. The most commonly used fraud detection methods are rule-induction
techniques, decision trees, neural networks, Support Vector Machines (SVM), logistic
regression, and meta-heuristics such as genetic algorithms [5-12]. These techniques
can be used alone or in collaboration using ensemble or meta-learning techniques to
build classifiers. Quah and Sriganesh [13], suggest a framework which can be applied
real time where first an outlier analysis is made separately for each customer using
self organizing maps and then a predictive algorithm is utilized to classify the
abnormal looking transactions. Panigrahi et al. [14] suggest a four component fraud
detection solution which is connected in a serial manner. The main idea is first to
determine a set of suspicious transactions and then run a Bayesian learning algorithm
on this list to predict the frauds. Sanchez et al. [15] presented a different approach and
used association rule mining to define the patterns for normal card usage and indicat-
ing the ones not fitting to these patterns as suspicious. The study of Bolton and Hand
[2] provides a very good summary of literature on fraud detection problems.

In most of the studies listed above the classical accuracy based model performance
measures are used. Among these the accuracy ratio, the capture rate, the hit rate, the
gini index and the lift are the most popular ones [16-17]. However, since the
fraudsters use all available limit on the card they captured, an algorithm which is
more successful in detecting the cards with higher available limits is more prominent.
In this case the cost of making a false positive error and a false negative error will not
be the same and actually false negative error (labeling a fraudulent transaction as
legitimate) will be a variable. We will take this cost function here similar to few
studies in literature [18-19]. A rather more detailed review of these two studies will be
given in the next section.

The contributions of this study to the literature are three fold. First, we are talking
on models built with real data and implemented in real life. Second, the new metaheu-
ristic MBO is used to solve a credit card detection problem for the first time and this
will be one of the very few studies where any member of the metaheuristic algorithms
family is used. Third, the performance of MBO is improved further through the use of
modified benefit mechanisms.

The rest of the paper is organized as follows. In the next section, the fraud detec-
tion problem we were faced is described in detail together with the explanation of
closely related previous work. In the third section we describe the MBO algorithm as
it is used to solve the quadratic assignment problem in [1]. Implementation of MBO
on the credit card fraud detection problem and the modifications made on it to
improve its performance are detailed in section four. The paper is finalized in section
five by giving a summary of the study and the major conclusions.

2 Problem Definition and Previous Work

There has been a growing amount of financial losses due to credit card frauds as the
usage of the credit cards become more and more common. As such, many papers
reported huge amounts of losses in different countries [2, 20].
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Credit card frauds can be made in many ways such as simple theft, application
fraud, counterfeit cards, never received issue (NRI) and online fraud (where the card
holder is not present). In online fraud, the transaction is made remotely and only the
card’s details are needed. A manual signature, a PIN or a card imprint are not required
at the time of purchase. Though prevention mechanisms like CHIP&PIN decrease the
fraudulent activities through simple theft, counterfeit cards and NRI; online frauds
(internet and mail order frauds) are still increasing in both amount and number of
transactions. According to Visa reports about European countries, approximately 50%
of the whole credit card fraud losses in 2008 are due to online frauds [21].

When the fraudsters obtain a card, they usually use (spend) all of its available (un-
used) limit. According to the statistics, they do this in four - five transactions, on the
average [18]. Thus, for the fraud detection problem, although the typical prediction
modeling performance measures are quite relevant, as indicated by the bank authori-
ties, a performance criterion, measuring the loss that can be saved on the cards whose
transactions are identified as fraud is more prominent. In other words, detecting a
fraud on a card having a larger available limit is more valuable than detecting a fraud
on a card having a smaller available limit.

As a result, what we are faced with is a classification problem with variable
misclassification costs. Each false negative has a different misclassification cost and
the performance of the model should be evaluated over the total amount of saved
available usable limits instead of the total number of frauds detected.

If we define;

TP = the number of correctly classified alerts

TN = the number of correctly classified legitimates

FP = the number of false alerts

FN = the number of transactions classified as legitimate but are in fact fraudulent
¢ = the cost of monitoring an alert

TFL = the total amount of losses due to fraudulent transactions

S = savings in TFL with the use of fraud detection system

p = savings ratio

Then,

TFL = sum of the available limits of the cards whose transactions are labeled as TP
or FN

¢ = cost of monitoring including staff wages, SMSs, phone calls. On the average, it
is a small figure (less than a dollar)

S = (available limits of the cards of TP transactions) - c(FP+TP)

p=S/TFL

where the maximum value S can take is TFL and p can take is 1. A good predictor
will be the one having a high p.

Duman and Ozcelik [18] tackled the same problem for another bank in Turkey. Af-
ter putting the problem in the same way and pointing out the classical DM algorithms
may not perform well for the objective of maximizing savings ratio they implemented
a metaheuristic approach which is a hybrid of genetic algorithms and scatter search
(the GASS algorithm). In GASS, the number of parent solutions was taken as 50 and
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child solutions were generated by the recombination operator. Each parent is
recombined by every other parent so that the number of children was 1225 in each
generation. One of the child solutions is selected randomly and one of its genes is
mutated. As the fitness function the savings ratio is used. In the selection process,
besides the fittest members which are determined by roulette selection, the most
diverse solutions are also inherited to the next generation in [18]. GASS improved the
savings ratio by more than 200% with a cost of 35% increase in the number of alerts.
However, it had some limitations in that the authors were allowed to improve the
score generated by some groups of variables only and the variables about MCCs
(merchant categegory codes) and out of country expenditures were left out of
the scope of the study. The problem was that a second score was being generated
with these left out variables and the authors had no control on how these two scores
were interfering.

The study of Duman and Sahin [19] gives a summary of previous results obtained
in another bank where this study is carried out also. The results obtained by classical
decision trees (C5.0, CART, CHAID), artificial neural networks, SVM, logistic
regression and GASS are compared. The results obtained by a special cost sensitive
decision tree where in splitting a node the savings ratios of the resulting leaf nodes are
considered, is also given. It was shown that the GASS and the newly proposed cost
sensitive decision trees were the two best performing methods.

The studies [22-24] are the other studies that tackle cost sensitive decision trees in
literature.

3 The MBO Algorithm

The MBO algorithm is a neighborhood search technique [1]. It starts with a number of
initial solutions corresponding to birds in a V formation. Starting with the first solu-
tion (corresponding to the leader bird), and progressing on the lines towards the tails,
each solution is tried to be improved by its neighbor solutions (for the implementation
of QAP (quadratic assignment problem), a neighbor solution is obtained by pairwise
exchange of any two locations). If the best neighbor solution brings an improvement,
the current solution is replaced by that one. There is also a benefit mechanism for the
solutions (birds) from the solutions in front of them. Here we define this benefit me-
chanism as sharing the best unused neighbors with the solutions that follow (here
“unused” means a neighbor solution which is not used to replace the existing
solution). In other words, a solution evaluates a number of its own neighbors and a
number of best neighbors of the previous solution and considered to be replaced by
the best of them. Once all solutions are improved (or tried to be improved) by
neighbor solutions, this procedure is repeated a number of times (tours) after which
the first solution becomes the last, and one of the second solutions becomes first and
another loop starts. The algorithm is stopped after a specified number of iterations.

Below, first the notation used and then the pseudo-code of the MBO algorithm are
given. Let,

n = the number of initial solutions (birds)
k = the number of neighbor solutions to be considered
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x = the number of neighbor solutions to be shared with the next solution
m = number of tours
K = iteration limit

Pseudocode of MBO:

1. Generate 7 initial solutions in a random manner and place them on an hypo-
thetical V formation arbitrarily.

2. i=0

3. while(i<K)

4. for (j=0;j<myj++)

5. Try to improve the leading solution by generating and eva-
luating k neighbors  of it.

6. i=i+k

7. for each solution s, in the flock (except leader)

8. Try to improve s, by evaluating (k-x) neighbors of
it and x unused best neighbors from the solution in the front.

9. i=i+(k-x)

10. endfor

11. endfor

12. Move the leader solution to the end and forward one of the solutions

following it to the leader position.
13. endwhile
14. return the best solution in the flock

As should already be noticed, the MBO algorithm has great similarities with the mi-
grating birds’ story. First it treats the solutions as birds aligned on a V formation. The
number of neighbors generated (k) can be interpreted as the induced power required
which is inversely proportional to the speed (recall the discussion above). With a
larger k we would assume that birds are flying at a low speed where we can also make
the analogy that while traveling at a low speed, one can explore the surrounding in
more detail. The benefit mechanism between the birds is respected and by generating
fewer neighbors for the solutions at the back, it was made possible that they get tired
less and save energy by using the neighbors of the solutions in the front. The parame-
ter x is seen as the WTS where an optimum value can be sought for. Its optimum
value could be interpreted as the optimum overlap amount of the wingtips. In line 4,
the parameter m can be regarded as the number of wing flaps or the profile power
needed where we can assume that, as each bird travels the same distance, they all
spend the same profiling energy. In line 12, similar to the real birds’ story, the bird
who spent the most energy and thus got tired moves back to get some rest and another
bird fills its position.

For the MBO to perform better, it is necessary to determine the best values of some
parameters. These are the number of birds to have in the flock (n), the speed of the
flight (k), the WTS (x) and the number of wing flaps before a change in the order of
the birds or the profiling energy spent (m). Similar to birds’ story, one could expect
some certain values of these parameters and their combinations might increase the
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performance of the algorithm. For the printed circuit board assembly originated qua-
dratic assignment problem the best parameter values were obtained to be n = 51, m =
10,k=11and x=11in[1].

The philosophy of the MBO is that, by starting with a number of solutions, it is
aimed to explore more areas of the feasible solution space. The exploration is made
possible by looking at the neighbor solutions. Each time one of the solutions (the one
in the front) is explored in more detail. When one of the solutions fails to improve
itself by its own neighbors and if the solution in the front is more promising, it is re-
placed by one of the neighbors of the solution in the front. This way the neighborhood
around the more promising solution will be explored in a greater detail (by the com-
bined forces of two birds or solutions). Still after a few iterations these solutions may
go to different directions as long as they find improvements along their ways. How-
ever, after some time we might expect most of the solutions converge to one or sever-
al neighborhoods where local optima or even the global optimum are contained. The
convergence can be faster with larger values of x but in that case the termination
could take place before the feasible region is thoroughly explored and thus the results
obtained might not be good.

4 Results and Discussion

In the following subsections first the details of the experimental setting are given.
Then, the results obtained by standard MBO and GASS are displayed together with
their parameter fine tuning experiments. This is followed by some improvement at-
tempts on MBO by employing different neighborhood functions.

4.1 Details of Experimental Setting

The original data of the time period used to form the training set have about 22
million transactions. The distribution of this data with respect to being normal or
fraudulent is highly skewed so that only 978 transactions were fraudulent in this set.
So, to enable the models to learn both types of profiles, some under sampling or over-
sampling techniques should be used. Instead of oversampling the fraudulent records
by making multiple copies of them, we use stratified sampling to under sample the
legitimate records to a meaningful number. Firstly, we identify the variables which
show the most different distributions w.r.t. being fraudulent or normal. Then, we use
these variables as the key variables in stratified sampling so that the characteristics of
their distributions w.r.t. being fraudulent or not remains the same. For stratified
sampling, we use those five variables which show the most different distributions to
form a stratified sample with a ratio of nine legitimate transactions to one fraudulent
transaction.

4.2  Results Obtained by MBO

The total number of variables in the data mart was 139 (all binary). Starting with the
full set of variables, a variable reduction is made first. Each time the variables having
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coefficients close to zero (in the trained model) are eliminated and a new model is
generated. This resulted in 15 variables where the coefficients of the variables were
significantly different than zero. During these runs the MBO parameter values are
used same as the best set obtained in [1].

Then a set of parameter fine tuning experiments are made on MBO. According to
this analysis the best set of parameters is determined to be:

Table 1. MBO versus GASS

MBO GASS

RUN p TPR p TPR
1 94,74 91,94 90,92 79,34
2 95,13 91,94 85,64 77,69
3 94,21 91,53 90,89 78,1
4 94,74 91,94 90,63 77,89
5 94,26 91,74 90,94 79,34
6 91.3 77,89 94,78 91,32
7 94,91 91,74 91,22 79,75
8 94,91 91,74 93,78 89,26
9 94,71 91,94 94,26 91,74
10 91,04 78,1 91,41 79,96
AVG 93,98 88,91 91,45 82,78

Number of Birds: 15

Number of Neighbors : 7

Number of Flaps: 3

Number of Overlaps: 2

The parameter values of the GASS algorithm implemented here are determined in
accordance with the study [18], namely:

Number of variables (genes): 15

Number of initial solutions: 15

Maximum number of tested solutions: 15000

Mutation procedure: One of the 15 genes is selected randomly and a uniform
number between 0 and 1 (U(0,1)) is added to its value. If the result is greater than the
upper bound (1.0), the final value is obtained by subtracting the upper bound from the
new value.

Mutation rate: 8% of the intermediate solutions are selected for mutation.

Selection procedure: Roulette wheel

The results obtained by GASS and MBO are compared in Table 1 where TPR
stands for true positive rate.
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The results in Table 2 indicate that the MBO algorithm performs significantly bet-
ter than the GASS algorithm (about three per cent higher limit saving and about five
per cent higher TPR is obtained). This superiority is also validated by an independent
t-test where the p-values turn out to be 2.3 per cent and 2.6 per cent for the limit sav-
ings and TPR, respectively.

Table 2. MBO when two genes are shared

Standard MBO Gene Sharing

RUN p TPR p TPR

1 94,74 91,94 94,71 91,94
2 95,13 91,94 95,13 91,94
3 94,21 91,53 94,96 91,94
4 94,74 91,94 95,13 91,94
5 94,26 91,74 94,74 91,94
6 91,3 77,89 94,27 91,74
7 9491 91,74 94,26 91,74
8 9491 91,74 90,33 85,74
9 94,71 91,94 94,74 91,94
10 91,04 78,1 95,19 92,15
AVG 93,98 88,91 94,35 91,3

4.3 Modifications on MBO

After finding out that the MBO algorithm is a good solver in fraud detection, we con-
tinued with testing a different mechanism in MBO. For this purpose instead of sharing
some neighbor solutions with the followers, inspired by the genetic algorithms, we
wanted to see the effects of sharing some genes (coefficient values). A neighbor
solution of a current solution is generated by getting a number of genes (say, y) from
the front solution (the selection of which y genes is determined randomly) and the rest
of the genes are copied from the current solution where one of them is mutated like in
the standard MBO. For the value of y (the number of genes shared), values from 1 to
5 are tested. We saw that two genes sharing happened to bring the most improve-
ment. To test the significancy of this improvement, we tabulated the results of 10 runs
in Table 2 and applied t-test. According to t-test, the differences on the performances
of the two are not significant with p-values of 29.2% and 11.5% for p and TPR,
respectively.

To conclude, we can say that when the standard MBO of Duman et al. [1] is
coupled with a good benefit mechanism with gene sharing between solutions, its
performance can slightly be increased.
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Summary and Conclusions

In this study we solved the credit card fraud detection problem by the new
metaheuristics migrating birds optimization algorithm. This study is one of the few
studies where a metaheuristic algorithm is utilized in fraud detection and it performed
better than a previous implementation of a combination of genetic algorithms and
scatter search. The standard MBO is further improved by testing alternative benefit
mechanisms.

As future work, alternative settings of V formation (like more than two tails etc)

can be tested.
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Abstract. This paper presents a comparison of several methods of mea-
suring the quality of a subset of features that characterise kidney’s graft
so they can be evaluated to be transplanted. First, two non-parametric
methods, Delta Test and Mutual Information, are used isolated and in
a multiobjective manner using a genetic algorithm and comparing the
solutions will all the possible solutions obtained by brute force. After-
wards, LSSVM are used to approximate the score of the graft so, for
smaller approximation errors, the subset of features is considered better.
The results obtained are confirmed from the clinical perspective by an
expert.

1 Introduction

Since the first kidney transplant in 1954 [8], this type of surgery have become
an usual practice in more than 80 countries allowing patience with terminal kid-
ney insufficiency to increase their life expectancy and improve their life quality
[2[T9]. The advances in inmunodepresor therapies, organ preservation and re-
ceptor selection have optimised the survival of the implant. This is translated
into an 80%-90% of success for the first year and 50%-70% for five years.

Although the total number of donors has increased in the last ten years, the
donation rate kept a constant value between 30 and 35 donors per million of
inhabitants due to the simultaneous increase of the spanish population. Because
of this, the National Transplant Organisation (Organizacin Nacional de Trans-
plantes, ONT) has been working on an strategic plan (Plan 40) which aims to
increase donation rate by transplantation for asystolic donors, living donors and
expanded criteria donors.

The 89% of the transplants accomplished in Spain use organs from brain
death donors although there has been a raise in the number of transplant from
living people in the last two years. The decrease of fatalities in traffic accidents
has changed the donor profile. Nowadays, both, hemorrhagic and ischemic, cere-
brovascular accidents (CVA) have become the most frequent type of death among
donors, representing the 65.1% meanwhile only the 5.7% came from a Traumatic
brain injury (TBI) in the year 2010.

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 72-[(9] 2013.
(© Springer-Verlag Berlin Heidelberg 2013
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Another consequence of the new profile of donor is an increase in the donor’s
mean age which changed from 34.5 years in 1992 to 57.5 in year 2010. Over
the 79% of donors are older than 45 and the 46.6% older than 60. Considering
these data, nowadays, more than the 50% of the donors in Spain are considered
expanded criteria donors using the international definition (UNOS definition)
[3], therefore, it is required a biopsy before implanting the organ to analyse its
viability.

Several scores for the validity of the implant have been developed in the latest
years. The scores also predict the final evolution of the transplant. However, these
scores were not developed considering elder donors for kidney transplants.

The final aim of the research is to develop a model that could predict the
viability of the kidney graft following clinical criteria and donor’s analytics. The
gold standard is the result of the biopsy carried out using the andalusian protocol
for biopsies of expanded criteria donors.

In machine learning, this problem can be tackled from several perspectives.
First of all, it is necessary to study the data and see which features seem the
most important by the time of giving a score. On the other hand, a model that,
for given values of the analytics is able to compute a value, is also requested.

The work presented in this paper will focus mostly in selecting the features
that could be the most relevant. Afterwards, models to predict the validity of
an implant will be designed with the hope that the selected set of variables lead
to obtain smaller test errors.

The main novelty that it is presented in this paper is that we propose to
consider Test Delta minimisation and Mutual Information maximization as a
multiobjective problem.

2 DMaterial and Methodologies

2.1 Material

Patients. The patients considered in this study included all donors with ex-
panded critera that where treated between January 1998 and December 2010
in Granada-Jaen transplantation unit. For all patients, a pre-implant biopsy
was done before kidney transplantation. All biopsies were evaluated following
the andalusian protocol for pre-implant biopsy valoration. This protocol analyse
glomerular sclerosis, tubular atrophy, hyaline arteriolopahty and interstitial fi-
brosis. A sample is considered adequate when it contains, at least, 25 glomeruli
and two small arterioles. A score smaller or equal than seven determines a
favourable histology for transplantation.

Geographic Area of Analysis. The provinces of Jaen and Granada provided
the data for the analysis. More concretely the Hospitals San Cecilio y Virgen
de las Nieves in Granada, Hospital de Jaén, Hospital San Juan de la Cruz of
Ubeda, Hospital Comarcal San Agustin of Linares, Hospital Comarcal Santa
Ana of Motril and Hospital General Bésico of Baza.
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The waiting list in this area its unique for its population. For the study, all
donors considering the expanded criteria considering 4 cases from the province
of Huelva. Other 18 organs included in the study come from other provinces
according to the optimization policy of the regional government.

The list of variables considered in the study are:

Time at Intensive Care Unit
Kidney donor risk indexDRIS
United Kingdon risk index
Creatinine lightening by MDRD 4
MDRD4 IDMS lightening
Lightening by Cockcroft-Gault
Donor’s age
Categorised donor’s age

9. Donor’s sex
10. Donor’s size
11. Donor’s weight
12. Donor’s IMC
13. Donor’s classification accoring to IMC
14. Diabetes in donor
15. Donor’s HTA
16. Atherosclerosis in donor
17. Death cause
18. Proteinuria when extracted
19. Urea when extracted
20. Creatinine when extracted
21. Type of Catecholamines used
22. Use of Catecholamines

P NSO W=

2.2 Methods

This subsection describes briefly the methods applied to analyse the data and
how a model that is able to predict the score was designed.

Feature Selection. The problem of feature selection consists on finding the
most representative variables of a data set. The main issue is how to determine
if a subset of features is adequate or not. As it is supposed that the subset should
represent the non-linear relationship between the inputs and the outputs so, if
we design a model, this could fit better the target function.

Therefore, it could be quite obvious that the best criterion to perform variable
selection is to build a model for each possible combination. Unfortunately, train-
ing algorithms are quite computationally expensive and the number of possible
solutions increases exponentially.

To overcome the first problem and get ride of the setting of the numerous
parameters that a model can have, non-parametrics methods were proposed as
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criteria for feature selection. More concretely Gamma and Delta Test [10] and
Mutual Information [4].

To ameliorate the second one, this is, the evaluation of all possible subsets, sev-
eral heuristics like Genetic Algorithms, Tabu Search, Forward-Backward Search
and the hybridization of them have been proposed [7].

Furthermore, some works propose the combination of evaluating the subsets
and designing the model in parallel [6].

In the real data set that we have, there are 22 variables, which is translated
into 4,194,303 of possible solutions (no variables selected is not a solution). It
is not feasible to build a model for each combination, however, it is possible to
compute the non-parametric fitnesses for each solution. This is known as brute
force approach and will be used in the experiments.

Model Design. Among the wide variety of models, Least Square Support Vec-
tor Machines [12] have been used due to the high quality solutions they provide.
LS-SVMs are reformulations to standard SVMs, closely related to regulariza-
tion networks and Gaussian processes but additionally emphasize and exploit
primal-dual interpretations from optimization theory. LS-SVMs are a paradigm
specially well suited for function approximation problems.
The LS-SVM model is defined in its primal weight space by

§=WT6(X) +0, 1)

where W7 and b are the parameters of the model, ¢(X) is a function that
maps the input space into a higher-dimensional feature space and X is the n-
dimensional vector of inputs ;. In Least Squares Support Vector Machines for
function approximation, the following optimization problem is formulated,

N
. _lor 1 2
g]}}){l@J(VV,e)—QW W—I—Wzizglei, (2)

subject to the equality constraints (inequality constraints in the case of SVMs)

ei =yi — 9i(Xi),i=1...N. (3)

Solving this optimization problem in dual space leads to finding the A; and b
coefficients in the following solution

N
gi = Z)\iK(Xv Xi) + bv (4)
i=1
where the function K(X,X;) is the kernel function defined as the dot prod-
uct between the ¢(X) and ¢(X;) mappings. If we consider Gaussian kernels,
the width of the kernel o; together with the regularization parameter -y,
are the hyper-parameters of the problem. Note that in the case of Gaussian
kernels, the obtained model resembles Radial Basis Function Networks (RBFN),
with the particularities that there is an RBF node per data point, and that
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overfitting is controlled by a regularization parameter instead of by reducing
the number of kernels [I1]. In LS-SVM, the hyper-parameters of the model are
usually optimized by cross-validation.

The main flaw of these methods is that they become more complex as the
number of samples in the training data increases. As the dataset only contains
201 donors, we have chosen this model as the approximator.

3 Experiments

In this section we have performed several considering several ways of selecting a
subset of variables.

On first place, a popular multiobjective genetic algorithm (NSGA-II [5] was
tested using as functions to be optimised the Deta Test value of the individual
that codes a solution and its Mutual Information.

Afterwards, instead of using any other heuristic, we explored the whole so-
lution space in order to find the minimum Delta Test value and the maximum
value for the Mutual Information.

After the selection was made, LSSVMs were designed and tested their outputs
with the real outputs, computing the root mean squared error.

After all this process, we are able to determine which subset of variables could
be better in terms of minimization of approximation error and considering the
opinion of an expert in kidney transplants.

NSGA-II Results. The stopping criterium to stop the algorithm was a fixed
number of iterations (150) after observing that this number was enough for the
population to converge. The results obtained using different population sizes
are shown in Table [[l The algorithm was executed ten times and the variables
selected were the ones that appeared in the Pareto Front more that the 60% of
the times.

Table 1. Results obtained for the execution of the NSGA-II with the objective of
minimising the DT and maximising the MI

pop size vars selected DT MI
30 3679121819 22 0.2399 0.2479
60 379121318 19 22 0.2605 0.2757
120 37912181922 0.2604 0.2660

As we can see, the algorithm has a robust behaviour providing nearly the
same results for all the runs.

Brute-force Results. Table 2] shows some of the results chosen from all the
4,194,303 solutions. The critria were to obtain the solution providing the max-
imum MI the solution that provided the minimum DT. As we know the whole
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Fig. 1. Plots of the complete solution set sorted by the (a) MI value (red circles) and
(b),the DT value (blue stars). ¢) and d) are a zoom of the area we are interested in.

solution space, it is easy to find out which solutions satisfy more the two ob-
jectives: minimum DT with a reasonable large MI and vice-versa. These two
selections are shown in the first two rows of the Table. In order to select the
subsets, a plot of the near min/max solutions was made. Figures included [
represent a) the solutions sorted according to the MI, b) the solutions sorted
according to the DT and c¢) and d) are a zoom of the areas we are interested in.

Table 2. Results obtained for the execution of the brute force algorithm computing
the DT and the MI

vars selected DT MI
89 14 15 19 21 22 0.2211 0.1296

max(MI) 349121819 22 0.2762 0.3330
near min(DT) 3489111822 0.2453 0.2794
near max(MI) 13467912 18 19 20 22 0.2453 0.3041

type of selection
min(DT)

Table 3. Results obtained for the execution of the brute force algorithm computing
the DT and the MI

subset RMSE Train (std) RMSE Test (std)
GA-pop30  0.7402 (0.0189)  0.7704 (0.1067)
GA-pop60  0.7419 (0.0185)  0.7656 (0.1186)
GA-popl20  0.7442 (0.0185)  0.7638 (0.1172)
BF-minDT 0.6763 (0.0160)  0.6891 (0.1194)
BF-maxMI 0.7386(0.0166) 0.7590(0.1228)

BF-nearMinDT
BF-nearMaxMI

0.7346 (0.0213)
0.7216 (0.0194)

0.7493(0.1089)
0.7280 (0.1163)
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Approximation Errors Using LS-SVMs. Once there are several subsets of
variables that are supposed to be representative, it is possible to build the LS-
SVMs that will approximate the generated output with the real one. Table [3]
shows the results in terms of the root mean squared error for the four subsets (1
from the GA and 3 from the brute force).

4 Discussion

With all results exposed, it is possible to discuss about which criterium (DT or
MI) seems better or if it is better to optimise them simultaneously in order to
have a compromise.

As the results showed, the smallest approximation error achieved was using
the selection provided by the minimum value of the DT selecting variables 8 9
14 15 19 21 22.

From the clinical perspective, these variables are included in previous works
in the literature as well as new ones that should be studied on a higher cohort of
patients. However, this selection excludes two variables that are widely used to
evaluate the renal function as are the lightening of creatinine and seric creatinine
concentration.

The selection includes seven variables that have been analysed in the literature
and that could be taken into account in the clinical practice introducing novelties
in the area.

5 Conclusions

Machine learning can be applied to a wide variety of problems, in this paper, the
identification of the features that characterised the validity of a kidney graft has
been tackled. Two widely used non-parametric methods were used separately
and in a multiobjective way. Then, a model was used as well to measure how
accurate could be the approximation of the score. The results showed a better
behaviour of the Delta Test providing a subset of variables validated by an expert
and providing the smallest approximation errors when using LSSV Ms.
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Abstract. There is a need for fast and cost-effective leukemia identification me-
thods, because early identification could increase the likelihood of recovery.
Currently, diagnostic methods require sophisticated expensive laboratories such
as immune-phenotype and cytogenetic abnormality. Therefore, we propose an
identification method based on using blood smear images of normal and cancer-
ous cells, in addition to a neural network classifier. We focus in this paper on
identifying Acute Lumphoblastic Leukemia (ALL) cases, and implement our
experiments following three learning schemes for a neural model. The neural
classifiers distinguish between normal blood cells and ALL-infected cells. The
experimental results show that the proposed novel leukemia identification system
can be effectively used for such a task, and thus could be implemented for
identifying other leukemia types in real life applications.

Keywords: Acute lymphoblastic leukemia (ALL), Blood cell identification,
Neural networks, Medical image processing.

1 Introduction

Leukemia is a type of blood disease or so-called cancer of the blood that begins in the
bone marrow; and usually caused by an excessive alterations in the production of
malignant and immature white blood cells [1]. There are four common types of
leukemia; namely, Acute Myelogenous Leukemia (AML), Acute Lymphoblastic Leu-
kemia (ALL), Chronic Myelogenous Leukemia (CML), and Chronic Lymphocytic
Leukemia (CLL) [2].

This paper focuses on the ALL type because this blood cancer has been occurring
most commonly in children in Iraq as a result of prolonged exposure to radiation and
other chemical pollution. The rate of childhood leukemia in Iraq has doubled over a
15-year period; a rate that is compared unfavorably with neighboring countries, “It is
known that the Basrah/Iraq region was exposed to environmental insults including
chemical weapons agents such as pyrophoric depleted uranium and leukemogen
benzene, as well as water and air pollution” [3].

The word acute in ALL comes from the fact that the disease progresses rapidly and
it can be fatal within weeks to months if left untreated [2]. Leukemia is treatable if it

L Rojas, G. Joya, and J. Cabestany (Eds.): INANN 2013, Part II, LNCS 7903, pp. 80-B7] 2013.
© Springer-Verlag Berlin Heidelberg 2013
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is diagnosed and treated in at early stage [1]. The early identification of the leukemia
type can greatly increase the likelihood of recovery. In fact several diagnostic me-
thods are available to identify leukemia type on basis of immune phenotype, cytoge-
netic abnormality, morphology, cytochemistry, and molecular genetic abnormalities.
However, these diagnostic methods vary in the level of complexity, speed of the
process, and the accuracy of leukemia classification [2].

In general, various recent studies suggested different methods for leukemia blood
cell identification. Some works considered also the use of neural networks as classifi-
ers for identification purposes. For instance, in [4] the authors focused on acute
leukemia samples and used a flow cytometer instrument to analysis the images of
normal and abnormal blood cells. The obtained data was then used as input for a
neural network classifier. In [2] the authors presented the first phase of an automated
leukemia form identification system, which was the segmentation of infected cell
images. The segmentation process provided two enhanced images for each blood cell
containing the cytoplasm and the nuclei regions of the cell. In [1], a neural network
classifier was suggested for the screening task, basing its decision on features
extracted from cell images. In [5], the authors used six morphological features which
were extracted from acute leukemia blood cell images together with a neural network
for classifying and distinguishing the blasts from acute leukemia blood samples. More
recently, in [6] the authors suggested the use of an ensemble particle swarm model
selection (EPSMS) to classify acute leukemia cases. In [7], the researchers used 12
manually extracted features from leukemia blood cell images together with the
K-nearest neighbor (k-NN) classifier to identify leukemic cases.

All these recent works aimed identifying leukemia cases based on using single
blood cell images and a classifier. Despite their successful outcome, we believe that
their results can be improved by eliminating some elements which may hinder the
results in one way or another. For example, the works in [1], [2], [5], and [7] based
their identification systems on cell image features which to have to be manually
extracted; this approach requires more time and complex calculations. While, in [4]
the researchers used special equipment, namely; a flow cytometer instrument which is
costly and may not be available in troubled countries such in Iraq.

Therefore, we propose in this paper a fast and automated Leukemia-infected blood
cell identification using pattern averaging of whole cell images and neural network
classifiers. The proposed system is implemented to identify ALL-infected abnormal
cells from normal blood cells; however, it can also be trained to identify the other
types of leukemia.

Our approach in this paper comprises two phases: firstly, the image processing
phase where data is extracted from whole cell images (thus avoiding the segmentation
process and reducing time costs), and secondly, the identification phase where three
neural models are implemented to associate the extracted image data from the first
phase with the decision of ‘normal’ or ‘abnormal’ blood cell, i.e. ALL-infected. The
three neural classifiers differ in their learning schemes based on using different
training-to-validation data ratios. A comparison between their performances will be
applied to select the optimal classifier for this task.
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2 Blood Cell Image Database

The blood cell images that are used in this work are obtained from the freely available
online ALL-IDB databases [8]. These images are microscopic images which had been
labeled by expert oncologists as lymphocytes healthy and lymphoblast blood cells.
Fig.1 shows an example image from this database, where the left-side cell image was
labeled as abnormal (blast), while the right-side cell image was labeled as normal
blood cell.

Our proposed identification system uses single blood cells in its implementation;
therefore, we have constructed a second database (ALL-DB2) by cropping single cell
images from the blood smear images in the ALL-IDB database. Our single cell image
database contains both normal and abnormal blood cells, as shown in examples in Fig.
2. For the purpose of developing our identification system, 80 single-cell images are
used; representing 40 normal blood cells and 40 abnormal blood cells that are infected
by ALL-Leukemia. These images are color images of size 60x60 pixels.

Fig. 1. Example of cell images from Fig. 2. Example images contained in the ALL-IDB:
blood sample. Left: lymphoblasts, and healthy cells (a-d), probable lymphoblasts from
Right: lymph-ocytes [8]. ALL patients (e-h). Cropped from [8].

3 The Identification System

The best definition of a practical ANN is that it is a set of interconnected neurons that
incrementally learn from given set of data to mimic the human brain in linear and
nonlinear trends in complex data; so that it has capability to predict and adapt to new
situations containing partial information [9]. We opt to use neural networks with
whole images rather than selected features within the images, because neural
networks have the capability to arbitrate fuzzy patterns more successfully than crisp
patterns [10],[11],[12].

The proposed system comprises two phases: image processing phase where
single-cell images undergo enhancement by use of a spatial filter and automatic edge
detection yielding the input data for the second phase, which is neural network
identification; as illustrated in Fig. 3.
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Fig. 3. The two phases of the ALL-infected cell identification system
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Fig. 4. Examples of normal blood cells (top) and abnormal ALL-infected blood cells (bottom)
throughout the image processing phase. (a) Original image (b) Gray scale image (c) Binary
image (d) Median filtered image (e) Smoothed image (f) Edge-detected image.

3.1 Image Processing Phase

During this phase all 80 single cell images from our database (ALL-DB2) undergo
conversion from RGB colour to grey images. The grey scale images are then
binarized using Otsu’s thresholding method which chooses the threshold to minimize
the interclass variance of the black and white pixels [13]. The binary images are then
filtered using median filter for noise reduction. The filtered binary images undergo
edge detection using Canny operator. Finally, we apply pattern averaging using 2x2
kernel in order to ‘fuzzify’ the images and reduce their size from 60x60 to 30x30
pixels. The obtained 30x30 image representation is then used as the input data to the
neural networks during training and generalization in the second phase. Fig. 4 shows
examples of abnormal and normal blood cells throughout the image processing phase.

3.2  Neural Classification Phase

In this phase a neural network based on the back propagation learning algorithm is
utilized due to its implementation simplicity and the availability of sufficient database
for training this supervised learner. The neural network has an input layer with 900
neurons receiving the processed 30x30 pixel cell images on a pixel-per-node basis.
One hidden layer is used with 72 hidden neurons which assures meaningful training
while keeping the time cost to a minimum. The output layer has two neurons relaying
the decision of the identification system regarding whether the blood cell is normal
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[1 0] or abnormal [0 1]. A threshold value of 0.5 is applied to each output value reset-
ting the output to binary ‘1’ or ‘0’. Fig. 5 shows the topology of the neural network.

The arbitration of supervised neural networks involves training the testing stages.
During training input data samples are repeatedly presented to the neural model while
dictating to the learning what the desired or target output should be. Once converged
to a minimum value of error which the user sets, the model is considered as trained,
and thus, ready to be tested with data samples that were not ‘seen’ before by the neur-
al classifier. The performance of the trained neural model during testing or validation
reflects how good it learnt and how intelligent it could be considered.

In this work we have a total of 80 blood cell images containing 40 normal and 40
abnormal or ALL-infected cells. The approach adopted in this work to train the neural
model, is based on investigating different neural network learning schemes as sug-
gested in [14]. The reason for trying different learning scheme is to optimize the neur-
al model training and performance. Thus, we adopted three learning schemes where
the data training-to-validation ratios are as follows:

¢ Learning Scheme I — [75%:25%]: 75% of the blood cells images, i.e. 60 images
(30 normal and 30 abnormal) were used for training, while 25%, i.e. remaining 20
images (10 normal and 10 abnormal) were used for testing or validation.

e Learning Scheme II — [50%:50%]: 50% of the blood cells images, i.e. 40 images
(20 normal and 20 abnormal) were used for training, while 25%, i.e. remaining 40
images (20 normal and 20 abnormal) were used for testing or validation.

e Learning Scheme III - [25%:75%]: 25% of the blood cells images, i.e. 20 images
(10 normal and 10 abnormal) were used for training, while 75%, i.e. remaining 60
images (30 normal and 30 abnormal) were used for testing or validation.

e ®

60x60 30x30

Fig. 5. ALL-infected cell identification system and neural network topology
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4 Implementation Results

The implementation of our proposed identification system; including the image
processing phase and the neural network arbitration phase, was realized using the
MATLAB software tool. Several experiments were carried out to train and test the
neural network under the three learning schemes LS-I, LS-1I, and LS-1I1.

The evaluation of the performance of the three neural classifiers was based upon
three factors; namely, the obtained error value, the identification overall accuracy
rate, and the identification run time. Table 1 lists the finalized training parameters of
the neural network under the three learning schemes. The obtained error values and
time cost when implementing the three schemes are listed in Table 2, whereas the
obtained identification accuracy rates are listed in Table 3. Fig. 6 shows the learning
curves of the three neural classifiers during training.

Table 1. Neural network final training parameters

Parameters Final Value

Input layer neurons 900
Hidden layer neurons 62
Output layer neurons 2

Random initial weight range -0.1t00.1

Learning rate 0.09

Momentum factor 0.45

Minimum required error 0.001

Maximum permitted iterations 5000

Table 2. The three learning schemes and implementation results of ALL-Leukemia
identification system model

]if;m_ Learning Obtained Training Run Number of
Scheme Ratio (%) Error Time (s) Time (s) Iterations
LS-I (75:25) 0.0175 38.08 0.721 62
LS-II (50:50) 0.01798 21.308 1.73 68
LS-1II (25:75) 0.01768 8.01 2.29 34

Upon inspecting the results in Table 2 and Table 3, we could deduce that imple-
menting the neural network under LS-I outperforms implementations under LS-II and
LS-III. Following LS-I, the highest overall accuracy rate of 90% correct identification
was achieved together with the least error value of 0.0175 and the fastest run time of
0.721 second. This indicates that the neural classifier training under LS-I provides the
most optimal results for this application.
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Table 3. Correct cell identification accuracy rates

Learni Training Accuracy | Testing Accuracy Overall Accuracy
Sohom Rate (%) Rate (%) Rate (%)
NBC? ABC" NBC ABC Training | Testing
(30/30) | (30/30) | (9/10) (60/60) | (18/20)
L] 100 100 90 (9/10) 90 100 920
(20/20) | (20/20) | (15/20) | (17/20) | (40/40)
LS 100 100 75 85 100 (32/40) 80
LS-IIT (10/10) | (10/10) | (22/30) | (23/30) | (20/20) | (45/60)
100 100 73.3 76.6 100 75.1
 Normal Blood Cells. ” Abnormal Blood Cells
! -
i —
(©

Fig. 6. Learning curves (error convergence) in (a) Scheme I (b) Scheme II, and (c) Scheme III.

5 Conclusions

A novel approach to acute lymphoblastic leukemia (ALL) blood cell identification
was presented. The novelty in this work is not only in using a neural model as a clas-
sifier, but also in considering normal and abnormal (leukemic) blood cells as a whole
without the need to extract local features. This in turn reduces the computational and
time costs by avoiding segmentation and local feature extraction from the blood cell
images.

The motivation behind this work and the reason for focusing on the ALL blood
cancer is its increasing occurrence amongst children in conflict zones such as in Iraq.
Our database contains single blood cell images of both normal healthy cells and
abnormal ALL-infected cells. The source of our database is a freely available online
database that contains blood smear microscopic images labeled by expert oncologists
as normal or abnormal.

The neural network within this identification system was trained and tested
following three different learning schemes. These schemes differ in the ratio of the
number of cells images used for training, against those used for testing or validation.
The aim of employing different learning schemes is to seek an optimal neural classifi-
er considering the available data and the application.

The experimental results indicate that such an approach to identifying infected
blood cells can be successfully employed in real life applications, thus avoiding the
use of expensive and often unavailable cytometer instruments; in particular in conflict
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zones. The obtained results under learning scheme LS-I are very encouraging with an
identification accuracy of 90%, error value of 0.0175, and cell identification run time
of 0.721 seconds. Further work will focus on developing a model to identify the other
three common types of leukemia following the same approach.
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Abstract. The development of accurate models to describe and predict pressure
inactivation kinetics of microorganisms is very beneficial to the food industry
for optimization of process conditions. The need for methods to model highly
nonlinear systems is long established. The architecture of a novel clustering-
based fuzzy wavelet neural network (CB-FWNN) model is proposed. The
objective of this research is to investigate the capabilities of the proposed
scheme, in predicting the survival curves of Listeria monocytogenes inactivated
by high hydrostatic pressure in UHT whole milk. The proposed model is
obtained from the Takagi—Sugeno—Kang fuzzy system by replacing the THEN
part of fuzzy rules with a “multiplication” wavelet neural network. Multidimen-
sional Gaussian type of activation functions have been used in the IF part of the
fuzzy rules. The performance of the proposed scheme has been compared
against neural networks and partial least squares models usually used in food
microbiology.

Keywords: predictive modeling, fuzzy-wavelet neural networks, partial least
squares regression, clustering.

1 Introduction

There has been continued interest in the food industry in using high hydrostatic
pressure processing as a non-thermal preservation technique. Its primary advantage is
that it can inactivate microorganisms and certain enzymes at ambient temperature, thus
avoiding the detrimental effects of cooking temperatures on various food quality
attributes, such as nutritional value, flavor and taste. However, as foods are frequently
implicated as carriers of foodborne pathogens, it is important to provide information on
the effect of high-pressure processing on these micro-organisms. The inactivation of
micro-organisms by high pressure is well documented; typically, vegetative pathogens
can be inactivated at a pressure range of 200700 MPa [1]. The exact mechanism of
high pressure inactivation has been fully elucidated, but it is generally accepted that
high pressure results in morphological, genetic and biochemical alterations causing cell
death due to accumulated damage [2]. Listeria monocytogenes is a ubiquitous

L Rojas, G. Joya, and J. Cabestany (Eds.): INANN 2013, Part II, LNCS 7903, pp. 88-D5] 2013.
© Springer-Verlag Berlin Heidelberg 2013
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foodborne pathogen associated with outbreaks of listeriosis from consumption of
various food commodities, such as vegetables, dairy products, seafood and meat [3].
The pathogen is of great health concern for the food industry, because it is characte-
rized by high mortality rates, especially in pregnant women, neonates, elderly and
immune-compromised. It is a very hardy micro-organism that can grow over a wide
range of pH values (4.3 to 9.1) and temperature ranges from O to 45°C. The inactiva-
tion of micro-organisms by heat and other processing methods has been traditionally
assumed to follow first-order kinetics. However, significant deviations from linearity
have frequently been reported [4]. A number of models have been proposed to describe
these nonlinear survival curves, such as the Weibull model [5].

The aim of the current research study is to investigate the feasibility of utilizing a
hybrid fuzzy-wavelet-neural network (FWNN) methodology as an alternative to
classical neural networks in the area of food microbiology. In the proposed clustering-
based fuzzy wavelet neural network (CB-FWNN) a fuzzy subtractive clustering
(FSC) has been utilized as a “first-stage” process to find out the initial set and
adequate number of clusters, fuzzy rules and ultimately define the structure in the
incorporated in the design wavelet neural network (WNN), while multivariate fuzzy
sets are utilized in the premise part of the CB-FWNN structure. Once the number of
clusters is defined via the FSC scheme, candidate models representing possible states
of the structure are clustered using a modified Expectation-Maximization (EM)
technique during the training. The proposed EM version which is responsible for
partitioning the data as well as finding the cluster parameters enables a feedback link
from output error into the clustering process. The obtained clusters are multivariate
Gaussians (Gaussian Mixture Models - GMM) each with different size and orientation
from the other. The outputs of the clustering block are the firing strengths multiplied
by the consequence part of the CB-FWNN structure. CB-FWNN scheme utilizes
WNNs in the consequent part of each rule, similarly to existing FWNN schemes.
However in the proposed structure a novel WNN that incorporates an extra multipli-
cation layer as well as a linear combination of weights (MWNN-LCW) has been
applied [6].

The overall objective of this study is to design one-step ahead predictive schemes
to model the survival of Listeria monocytogenes in ultra high-temperature (UHT)
whole milk during high pressure treatment using the proposed CB-FWNN structure.
Its performance will be judged against PLS and NN models and an evaluation will be
made to compare the goodness-of-fit of these model.

2 Experimental Case

2.1 Bacterium and Preparation and Pressurization

Listeria monocytogenes NCTC 10527 from the collection of the Laboratory of Micro-
biology and Biotechnology of Foods, Agricultural University of Athens was used
throughout this study [7]. The culture was revived by inoculation in 9ml of tryptic soy
broth supplemented with 0.6% yeast extract and incubation at 30°C for 24 h. Aliquots
of 3.0ml of sample containing 0.3 ml of cell suspension and 2.7 ml of UHT whole milk
were transferred in polyethylene pouches and heat-sealed taking care to expel most of
the air. The pouches were placed in duplicate in each of the six small vessels of the
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high pressure unit and the system was pressurized at 350, 450, 550 and 600 MPa,
respectively. The come-up rate was approximately 100 MPa per 7s and the pressure
release time was less than 3s. Each experiment was repeated twice and duplicate
pouches were used for each pressure/time combination.

2.2  Enumeration of Survivors

Immediately after treatment, pressurized pouches were removed from the vessels and
their contents were aseptically diluted in % sterile Ringer’s solution. One hundred
microlitres (100 pl) of at least three serial dilutions were spread-plated in triplicate on
the non selective Tryptic Soy Agar (TSA) medium supplemented with 0.6% yeast
extract for the enumeration of L. monocytogenes. The data from the plate counts were
transformed to log10 values prior to further analysis.

3 Modeling Using CB-FWNN

This paper presents a clustering based FWNN that follows an “ANFIS structure” and
its details are illustrated in Fig. 1. However significant differences against ANFIS
have been considered in the proposed modeling structure. In the proposed structure
instead of a linear function, a novel Linear Combination Multiplication Weight
Wavelet Neural Network (MWNN-LCW) has been utilized [6]. The specific model
integrated two learning schemes; Weighted Least Square as well as the classic
gradient descent (GD) learning algorithms.
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Fig. 1. CB-FWNN proposed structure
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However, GD scheme is characterized by slow convergence training speed. Hence,
in this study, the scale and translation parameters and local linear model parameters
which have been randomly initialized at the beginning are optimized by using the
Extended Kalman Filter (EKF) algorithm. In order to design the CB-FWNN structure,
we assume initially, that one cluster in the input-output space corresponds to one
potential fuzzy logic rule. Then the first step in structure learning is the determination
of the number of fuzzy sets in the universal of discourse of each input variable [8]. In
this research, the number of clusters are determined by subtractive clustering based on
the training data as described earlier and remain constant throughout. Once the num-
ber of clusters defined, then the layout of the desired CB-FWNN can be sketched. At

the consequence section, different scales of wavelet-neurons ¢ , (m?P,nP) assigned

for every dimension of the input. Knowing the optimum number of clusters, the num-
ber of different scales which each input dimension is going to be decomposed then
can be determined, while the known number of clusters could assist in the determina-
tion of the number of fuzzy rules C as well as to the number of unknown parameters

at the antecedent section. CB-FWNN’s output is formulated as,
C
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The conditional density p(y | X)is a mixture of Gaussians functions at the output of

clustering sub-unit therefore the regression problem is re-formulated also as
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where ¢ (x;)is related to the i" from ¢ MWNN-LCW outputs, and the jth input
vector. W, (X ;) is the linear combination weight and P(6, 1 X;) is the probability that

the i"” Gaussian component is generated by the input vector X ;as depicted in the
following equation, which replaces yineq. 1.
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The final output based on dynamics of the proposed structure is derived by merging
Egs. 1 and 2 and have the following form

P m

P
X

—n' ;
e ) @
The cluster parameters in this proposed scheme are estimated with the use of Expecta-
tion Maximization algorithm, while the Wavelet Neural Network parameters have
been modified by Extended Kalman Filter and Weighted Least Square. The choice of
EM algorithm is justified by the fact that this approach avoids numerical instabilities
encountered in Gradient Decent algorithm and presents an improved learning
convergence.

§,= iwi(xj)xp(@i IXj)(ﬁcos(Zﬂﬁ(

4 Discussion of Results

For identification we consider the case where the plant is observable and where input-
output measurements are available. Dependent on the kind of inputs used, either
parallel or series-parallel models can be utilized [9]. The objective of this study is to
investigate the feasibility of using a CB-FWNN scheme for the development a series-
parallel model of survival curves of Listeria monocytogenes under high pressure in
whole milk.
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Fig. 2. llustration of the experimental data and survival curves

The survival curves of Listeria monocytogenes inactivated by high hydrostatic
pressure were obtained at seven pressure levels (350, 400, 450, 500, 550 and 600 MPa)
in UHT whole milk, as shown in Fig. 2. Interestingly, the shapes of the survival curves
that follow those experimental data change considerably depending on the treatment
pressure levels. Small data set conditions exist in many fields, including food analysis.
It is hard to catch the pattern of high order non-linear functions by a standard
feed-forward neural network-like scheme with small sample sets, since they have
shown weakness in providing sufficient information for forming population patterns.
Inspired by the way the RBF network approximates a nonlinear function through
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Gaussian local-basis functions, we have employed such a network to each “survival
curve” defined from the experimental data. Hence, for each pressure level case, an
RBF network has been associated with. Each “continuous survival curve” has been
verified against the real experimental samples. Based on these continuous datasets, the
capabilities of the proposed CB-FWNN architecture has been verified as a one-step-
ahead prediction system. Comparative studies have been conducted with the utilization
of Multilayer NN (MLP) and PLS models. Pressure levels of 400 MPa and 500 MPa
have been used as testing datasets, while the remaining levels as training ones. The
performance against the unknown 400MPa and 500MPa curves is illustrated in Figs. 3
and 4 respectively.

Survival Curve 400MPa

L. Counts
IS

1 %

0 5 10 15 20 25 30 35 40

Time (min) " Reference curve ——CB-FWNN
——MLP ——PLS
® Experimental Data

Fig. 3. CB-FWNN’s performance in the 400 MPa

Results showed that the CB-FWNN was very effective in predicting the response of
the pathogen, implying that although the CB-FWNN has been trained on different
survival curves, it has managed to learn the underlying process with high accuracy.

In a similar way, an MLP neural network using the classic back-propagation
learning algorithm was constructed with the same input structure as CB-FWNN.
Through trial and error, eventually two hidden layers with 12 and 8 nodes respectively
have been employed. The learning algorithm was responsible for the network's slow
convergence, which took approximately 30,000 epochs. Figs. 3 and 4 illustrate the
MLP performance for both testing survival curves.

Like CB-FWNN and MLP, the PLS regression model was constructed to anticipate
the dynamic nature of the specific problem, by including past values of the Listeria
counts as inputs. The calculated by XLSTAT software, equation has the following
form

Y, =0.1646857 — 0.000172X, —0.0055X,

5
~0.0055X, —0.0055X, —0.955X, +1.9412X,, ©)



94 V.S. Kodogiannis and I. Petrounias

Figs. 3 and 4 illustrate the PLS performance for both testing survival curves. With
regard to the assessment of the quality of the overall model predictions various statis-
tical criteria were calculated at all the tested validation experiments.
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Fig. 4. CB-FWNN’s performance in the 500 MPa

5 Conclusions

In conclusion, the survival curves of L. monocytogenes in UHT whole milk could have
different shapes depending on the treatment pressure levels. The development of
accurate mathematical models to describe and predict pressure inactivation kinetics of
microorganisms, such L. monocytogenes should be very beneficial to the food industry
for optimization of process conditions and improved dependability of HACCP
programs. In this research study we have applied a fuzzy-wavelet neural network, and
validated it in a series-parallel identification scheme for the modeling of the Listeria
monocytogenes survival/death curves. Results and comparison with other methods
have revealed a very good accuracy which was accompanied with a high speed training
process. Future research will investigate the possibility of engaging the proposed
scheme in a parallel-mode architecture, while it would interesting to consider the
modeling of the combined effect of high hydrostatic pressure and mild heat on the
inactivation kinetics of Listeria.
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Abstract. This paper presents the simulation and learning of soft
tissue temperature dynamics when exposed to laser radiation. Monte
Carlo simulation is used to represent the photon distribution in the tis-
sue while machine learning techniques are used to obtain the mapping
from controllable laser inputs (power, pulse rate and exposure time) to
the correspondent changes in temperature. This model is required to
predict the effects of laser-tissue interaction during surgery, i.e., tissue
incision depth and carbonization.
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1 Introduction

Lasers are employed in a number of surgical specialties as cutting tools. Their
use has gained popularity in those procedures where high-quality incisions are
needed, e.g., in surgery of the vocal folds [I]. The quality of an incision en-
compasses the accuracy for both, depth and length of the cut executed by the
surgeon. With respect to traditional surgery, where such a quality relies mainly
on the surgeon’s ability to handle the scalpel and on his/her delicate sense of
touch, laser surgery requires a different type of dexterity. Improper use of the
laser may result in harmful and undesired effects, such as carbonization [2]. In
order to automatically supervise such effects, the interaction between laser and
tissue must be modeled.

When tissue is irradiated with a laser beam molecules are promoted to an ex-
cited state due to the absorption of photons. Excited molecules collide with some
partner in the surrounding medium and these collisions lead to both, the deac-
tivation of the excited molecules and the increasing of the kinetic energy in the
partners [2]. Tissue temperature rises microscopically because of the transfer of
energy, in the form of heat, from photons to tissue. As tissue is composed mostly
of water, at 100°C water molecules start to vaporize and the resulting ablation is

* The research leading to these results has received funding from the European Union
Seventh Framework Programme FP7/2007-2013 — Challenge 2 — Cognitive Systems,
Interaction, Robotics — under grant agreement tRALP N°288233.

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 96-[[06] 2013.
© Springer-Verlag Berlin Heidelberg 2013
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called thermal decomposition [2]. Thus, cutting tissue can be roughly described
as boiling water. Change in local temperature is the significant parameter during
ablation by vaporization [2].

Here we propose to create a model of temperature dynamics in order to pre-
dict the consequences of laser radiation on soft-tissue. Despite analytical models
have been extensively studied [2], the use of such models to predict the effects
of laser radiation during real surgery seems inadequate. We envisioned a model
similar to the internal mapping done by surgeons. Certainly, surgeons do not
solve the very complex differential equations that govern the dynamics of tissue
temperature, instead they use a different set of input variables, extracted from
visual information, allowing them to interpret the state of the laser-tissue inter-
action and predicting the outcome of their actions. The experience and skills of
the surgeons allow them to intrinsically establishes how likely carbonization is
and to supervise incision depth and thereby to decide the actions to perform.

In order to obtain this mapping, a regression between high level actions and
changes in temperature is proposed. The behavior of temperature when tissue is
being exposed to a laser can be simulated using numerical methods and therefore
providing sufficient data to complete the regression. This paper describes the
simulation process and the use of the output data to learn the tissue temperature
dynamics.

2 Tissue Temperature Model

2.1 Analytic Model

A cylindrical reference system (r, z,6) is used to describe the tissue geometry.
As shown in Fig[ll the longitudinal axis z is coincident with the direction of
propagation of the laser and the origin is the intersection between such axis and
the tissue surface. A circular laser beam is applied onto the top of the tissue.
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The analytic model of the tissue temperature dynamics [2] is given by,

. 02 02 02 1
T(r,z,t)—ﬁ(ar2 +r8r+6z2)T+p7Q’ (1)

where  is the tissue temperature conductivity, p is the tissue density and + is
the tissue heat capacity. The rate of heat generation @ represents the source of
heat provided by the laser. Unfortunately, exact solution of Eq. () is complex
[2] and it involves several approximations and assumptions.

2.2 Discrete Representation

The tissue volume is discretized using a grid with constant increments (Ar =
0.025 mm, Az = 0.025 mm and A0 = 1/30 rad). A single volume element is
shown in Fig[2l

{

M{u -

Fig. 2. Detail of volume elements

Definition I Let us define T as the set representing the temperature of a certain
tissue volume, composed by N elemental volumes such that,

T= U ™ (2)

ne{l,...,N}

where T™ represents the temperature of a single elemental volume centered at a
given radius (r), angle () and depth (z).

Given that, as already suggested by Eq. ([B]), temperature dynamics is inde-
pendent of the angular dimension, angular symmetry can be assumed. Tissue
temperature is completely described given a single sample of the angular grid.

Definition II Le us define T € R'*7 as the temperature matrix that completely
describes T. Where I = Z/Az, J = R/Ar and N = I x J x (2w/Af)

The goal is to find a discrete model for the time evolution of the tissue tem-
perature (i.e., temperature dynamics), which is given by

Tk+1 = f(Tka uk)v (3)

where T}, is the temperature at time t = k- At and u is a vector representing
the independent variables affecting the state of the system. The output of the
model is the estimated variable, i.e., the temperature in the next sample time,
(Tk+1). Input variables must include enough information to predict the output.
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Therefore, the state of the variable being supervised has been included (Tg).
Moreover, based on the mathematical relations revised in previous sections, we
can assume that, given a certain type of tissue and a set of laser properties like
laser type and beam size and profile, changes in temperature are driven by the
laser power (P) and length of the pulse duration (7), i.e.,

u, =[P 7' (4)

Known and constant sample time (A¢) is also assumed in Eq. ([B]). We hypothesize
that a single function can be used to map the inputs to the prediction of the
temperature in any point (r, z) of the tissue volume.

Hypothesis. There exists a unique function, h, such that,
T]zil - h(Tkvukaiaj)D (5)

The mapping proposed in Eq. () is clearly nonlinear, as the influence of u is not
proportional with respect to the location of the volume element. Moreover, as
suggested in Eq. (dI), the proportion of the changes in temperature due to heat
transportation, i.e., those that take into account temperature in the surroundings
of the elemental volume of interest, also vary with respect to the position of it.

The assumptions presented in the description of Eq.(3]), together with the
required approximation for the initial temperature Ty, restrict the use of the
model only to similar types of laser and tissues as well as similar environmental
conditions. Despite more complex models may be envisioned, this model will
allow to validate the proposed methodology and will orient more ambitious ob-
jectives. Besides, note that for this model no motion of the laser is considered
and the laser application point is assumed to remain constant with respect to
the tissue volume.

Nonlinear function approximation methods can be used to find the hypoth-
esized function from data. A set of samples of the input and output variables,

m
{T§C +0 [T, u]iC }l is used to approximate such relation using a Statistical based
1

nonlinear function approximation method known as Locally Weighted Projection
Regression (LWPR)[3/4].

LWPR was selected as supervised learning algorithm as it is considered the
state of the art in statistical nonlinear regression. This algorithm allows to
learn nonlinear functions where there are large amounts of training data and
high dimensional input spaces, it is also incremental, therefore new data can be
included, allowing the model to adapt to changing circumstances [3].

3 Simulated Laser Tissue Thermal Interaction

This section describes the simulation of the dynamics of temperature across a
given tissue volume while it is exposed to a laser beam. Simulation of temperature
dynamics is obtained through a two-step process, as suggested in [Bl6]. First a
statistical model describing how the power delivered by the laser is spatially



100 L. Fichera, D. Pardo, and L.S. Mattos

distributed across the tissue volume is required. Next, such distribution is used
to solve Eq. () in order to obtain a model of temperature dynamics. The spatial
distribution of power is represented in terms of a probability distribution function
named Photon Absorption Probability (PAP), which is computed by means of a
Monte Carlo Method [5]. Temperature dynamics is obtained expressing the rate
of heat generation @ in terms of the PAP and solving equation Eq. () using a
Finite Difference Method [5].

3.1 Monte Carlo Photon Propagation

A Monte Carlo method is used as implemented in [5I7]. The laser beam is as-
sumed to be made up of a large number N, of photons, each propagating inde-
pendently of one another. The motion pattern of photons is described by means
of three random variables, namely a step size (s), a rotation angle ¢ and a
deflection angle 6 [5]. The step size is defined as

_ —In(¢)

5= , 6)
Ha + s (

where ( is a random variable uniformly distributed in the interval (0, 1) the
rotation angle ¢ is also a random variable uniformly distributed in the interval
(0, 27) the deflection angle 6 is characterized by the probability distribution of
the direction cosine cos 6

1792

cos 0) =
o ) 2(14+9g%2—2g cos 0)

. ™)

where the anisotropy factor g represents the expected value of cos 6. Values for
the direction cosine are obtained through inverse transform sampling. Such a
technique allows to express a random variable y, of given probability distribution
p(x), in terms of another random variable £, uniformly distributed between 0
and 1. Thus, solving for x given its cumulative distribution function, i.e.,

/I p(x)dx = &. (8)

— 00

Applying inverse transform sampling to Eq. (@) results in

1 2 1—_!]2 i
cos =429 [1+g *(1,%295)}, 1f97£0. 9)
261 it g =0

The simulation proceeds as follows. Each photon crosses the tissue surface and
propagates a certain step size s, with a rotational angle ¢ and a deflection angle
0, reaching an interaction site within the tissue volume. Every time a photon
reaches an interaction site, it drops part of its energy represented by its weight,
w, according to the relation
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fta

= w
Ha + s

where p, and ps are the tissue absorption and scattering coefficients respec-
tively [B]. The weight loss is absorbed by the discrete volume of tissue where
the interaction site is located. A photon propagates a certain number of steps,
progressively decreasing its weight, until one of the following conditions occur,
leading to its termination:

Aw (10)

— reflection: the photon escapes out of the tissue volume

— low weight: the photon’s weight falls below a certain threshold w;y, thus
any further propagation step will bring little additional information; in this
case, a variance reduction technique, named Russian Roulette [7], is used: the
photon is given a chance in m to survive; if it does, its weight is multiplied
by m, otherwise it is terminated

Once all photons have been terminated, the PAP is computed out of the tissue
geometry. Cylindrical symmetry is assumed, i.e. the amount of energy absorbed
by a specific volume element is assumed to be dependent just on its depth within
the tissue and its radial distance from the point of application of the laser. For
this reason, the PAP is computed as a 2D matrix, out of a single cylindrical
sector, representing the distribution of power density across the tissue volume
as a function of depth z and radius r, i.e. PAP(r, z).

3.2 Finite Difference Method

Eq. () can be rewritten as

Q  pydT(r,z,t)

AT(r, z,t) + 5= 5 ot (11)

where A represents the Laplacian operator. The rate of heat generation @ can
be estimated using the following [5],

Q =PAP(r,z)« P (12)

where P is the laser power.

A Finite Difference Method, Forward Euler Integration, is used to find a nu-
merical solution to Eq. (IIl). The method discretizes time into regular intervals
At solving the matrix Tj, € R/, for each discrete time step k. Given the initial
temperature T°, all the successive values of T* are computed using the following
relation

- (Ar)? iAr oar T (Az)? g B At
(13)

T — 2T + T + 1 Th,,; - T TF, o =2TF; + T QY _ pyTH =T
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which is the same as Eq. (), where all the derivatives have been replaced by
their difference quotients. Here, Ti’fj denotes the element of the i-th row and the
j-th column of matrix T*, i.e. the value of temperature for the discrete volume
element located at radius 7 and at depth j at time k - At.

Eq. (I3) cannot be used for volume elements lying on the boundaries, as some
of the terms would account for contributions from non-existing neighbours. Such
terms must be replaced in order to take into account temperature variation due
to heat exchange with the external environment. According to [5], a Neumann
boundary condition can be used to this purpose, e.g. for a volume element lying
on the top surface of the cylinder, the spatial contribution for the temperature
variation is modeled as

or __, (Tij—Tw)
0z B

where h is a convection constant. Similar conditions apply to the other
boundaries.

Finally, solving Eq. I3 requires to choose the values of the initial temperature
TP, the temperature of the environment T, and the time step At. For the sake
of simplicity, both initial temperature of tissue and environmental temperature
are assumed to be 37°C. Care must be taken in the choice of At, to ensure
convergence of the integration method. The range of acceptable values is limited
by the following relation [5]:

(14)

1(Ar)?

At <
=4 B

(15)

3.3 Simulation of Temperature Dynamics

Here we present the simulation involving a piece of tissue 0.25 mm high and 0.5 mm
wide, being irradiated by a COq surgical laser [2]. The full set of parameters used
for the simulation model is reported in Table 2l Input variables are summarized
in Table [l Within the beam, photons have been arranged in concentric circles, in
order to obtain a flat beam profile [5]. Fig.Blshows an example of the simulation, it
shows the distribution of temperature across the tissue volume after 4 seconds of
laser exposure, using a power of 0.5W and a pulse time of 0.2s. The temperature
of the top of the tissue reaches 110°C. Fig. @ shows the simulated temperature
dynamics, recorded at various depths into the tissue: temperature on the surface
has risen more rapidly compared to the rest of the tissue, due to the strong
heat contribution from the laser beam. Temperature increase in deeper tissue
volumes has been dominated by heat exchange phenomena, thus leading to a
slower dynamics.

4 Learning Temperature Nonlinear Dynamics

A total of 200 laser interactions were simulated for the generation of the training
data set. Each simulation has a randomly selected duration of laser exposure
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Fig. 4. Temperature at various depths during laser irradiation

and equal amount of time for temperature evolution without the presence of the
laser (P=0W), i.e., the process of cooling down was also simulated. The training
data was generated using diverse pulse rate given a fixed power (P=2W), i.e.,
diverse effective fluence rate. Four types of pulse rates were considered (7 =
0.0,0.1,0.2,0.5), 50 experiments were simulated for each pulse rate.

Each experiment consists of a sequence of K matrices (as the one shown in
Fig.B)), representing the time evolution of the temperature (T} ) in a slice (lateral
view) of the tissue cylindrical model. These sequences of tissue temperatures are
used to generate the input (x) and output (y) vectors required for the supervised
learning method. Here we describe its components in more detail, that is,

x = [Tk T, Tk, Ty Thoy i § FF'
(16)
y=T35"

where F' represents the fluence rate at instant k. Such fluence incorporates the
power and pulse rate information, which are the independent variables (uy)
proposed in previous sections. Note that the information of the current state
of the tissue temperature, required for the estimation of the change, has been
reduced to the temperature of the volume of interest 7;; and the one of its
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Table 1. Input Variables

Symbol Name of Parameter Allowed Values

P Power 1to5 W
T Pulse Time 0.1, 0.2 or 0.5 s
t Exposure time Otobs

Table 2. Parameters used in the simulation

Symbol Name of Parameter Value

Ita Absorption Coefficient 714.6 cm™*!

s Scattering Coeflicient 10 cm™*

g Anisotropy factor 0.9

p Density 1.07 g/cm?

8 Temperature Conductivity 0.0015 cm? /s
y Specific Heat Capacity 347/ (g°0C)
h Heat Transfer Coefficient 0.000433 W / (cm? °C)
Ar Radius of a Volume Element 0.025 mm

Az Depth of a Volume Element 0.025 mm

Al Amplitude of a Volume Element 1/30 rad

br Beam Radius 0.25 mm

N Number of Photons 50000

wi Weight Threshold 0.0001

m Chance to survive the Russian Roulette 2

surroundings. This is in order to avoid unnecessary information that it is known
to be less relevant or redundant.

The learning process uses a total of 627120 samples and the obtained model
presents a normalized mean square error (nMSE) of 3.7% against the learning
data set. The validation data set, with 176880 samples, presents a nMSE of 4.3%.

These results demonstrate that given a temperature of a volume element to-
gether with the temperature of its surroundings and the fluence rate being trans-
ferred from the laser, the learned model is able to estimate the temperature for
such volume in the next time step.

4.1 Analyzing Model Response

Besides verifying standard learning and validation errors, further tests and anal-
ysis are necessary in order to verify the quality of the model. The consistence of
the model, as a dynamical system, must be tested recursively using its predic-
tion as input for the next estimation. Convergence of the predicted temperature
with respect to laser-tissue simulations is expected. Fig. Bl presents a comparison
of the temporal response of the learned system with respect to the reference
dynamics for diverse inputs. For the case of continuous laser mode (CM) (see
Fig. , the learned model accumulate a nMSE = 4.2% while for the case of
pulsed laser mode (see Fig. the nMSE = 3.74%.
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Fig. 6. Temperature dynamics against diverse tests

Moreover, besides analyzing the response to new input vectors, we take the
test of the system to an application level, and verify its behavior to diverse surgi-
cal situations. Fig. andpresent the time response of tissue temperature
given a different initial and room temperature (7o, = 40), which had been as-
sumed to be constant for the learning process. It can be seen that the model is
robust to this change with nMSE = 4.4% for the continuous laser mode, while
nMSE = 4.0% for the pulsed laser mode. It can be observed that the tissue at
the surface (j = 1) gets more affected by the change in room temperature than
tissue at (z = 0.025mm, j = 2). Another interesting test is to apply a different
pulse rate for laser modulation. As presented in Fig. no significant changes
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occur. Finally, the model is tested with a different power, Fig. shows that
the model is not able to reproduce the behavior of the system of reference. De-
spite the dynamics is similar, the absolute values of temperature are not correctly
followed. This clearly establish the need of improve the model in order to allow
the estimation given diverse input power.

5 Conclusion

These results demonstrate that given a temperature of a volume element together
with the temperature of its surroundings and the fluence rate being transferred
from the laser, the learned model is able to estimate the temperature for such
volume in the next time step.

The assumptions presented in this work restrict the use of the model only to
similar types of laser and tissues as well as similar environmental conditions. De-
spite more complex models may be envisioned, this model will allow to validate
the proposed methodology and will orient more ambitious objectives.
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An Ensemble of Classifiers Guided by the AAL
Brain Atlas for Alzheimer’s Disease Detection

Alexandre Savio* and Manuel Grana

Grupo de Inteligencia Computacional (GIC), Universidad del Pais Vasco
(UPV/EHU), San Sebastian, Spain

Abstract. Detection of Alzheimer’s disease based on Magnetic
Resonance Imaging (MRI) still is one of the most sought goals in the
neuroscientific community. Here, we evaluate a ensemble of classifiers
each independently trained with disjoint data extracted from a partition
of the brain data volumes performed according to the 116 regions of the
Anatomical Automatic Labeling (AAL) brain atlas. Grey-matter prob-
ability values from 416 subjects (316 controls and 100 patients) of the
OASIS database are estimated, partitioned into AAL regions, and sum-
mary statistics per region are computed to create the feature sets. Our
objective is to discriminate between control subjects and Alzheimer’s
disease patients. For validation we performed a leave-one-out process.
Elementary classifiers are linear Support Vector Machines (SVM) with
model parameter estimated by grid search. The ensemble is composed of
one SVM per AAL region, and we test 6 different methods to make the
collective decision. The best performance achieved with this approach is
83.6% accuracy, 91.0% sensitivity, 81.3% specificity and 0.86 of area un-
der the ROC curve. Most discriminant regions for some of the collective
decision methods are also provided.

1 Introduction

Alzheimer’s Disease (AD) is one of the most important causes of disability in
the elderly and with the increasing proportion of elderly in many populations,
the number of dementia patients will rise also. Due to the socioeconomic im-
portance of the disease in occidental countries there is a strong international
effort focus in AD. In the early stages of AD brain atrophy may be subtle and
spatially distributed over many brain regions, including the entorhinal cortex,
the hippocampus, lateral and inferior temporal structures, as well as the anterior
and posterior cingulate.

Machine learning methods have become very popular to classify functional
or structural brain images to discriminate them into two classes: normal or a
specific neurodegenerative disorder [I]. The development of automated detec-
tion procedures based in Magnetic Resonance Imaging (MRI) and other medical
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imaging techniques [2] is of high interest in clinical medicine. It is important
to note that these techniques are aimed to help clinicians with more statistical
evidence for the diagnosis, it is not intended to substitute any other existing
diagnosis procedure.

Most published classification methods working on MRI data train a single clas-
sifier. However, it is challenging to train only a global classifier that can be robust
enough to achieve good classification performance, mostly due to noise and small
sample size of neuroimaging data. Other studies using ensemble of classifiers on
brain anatomical MRI can be found in the literature. In [3] they propose a clas-
sification method via aggregation of regression algorithms fed with histograms
of deformations generated from the Open Access Series of Imaging Studies
(OASIS) database obtaining a 0.04 test error rate. Another study shows a local
patch-based subspace ensemble method which builds multiple individual classi-
fiers based on different subsets of local patches with the sparse representation-
based classifier obtaining an accuracy of 90.8% on the ADNI database [4]. In [5]
subsets of ranked features from neuroimaging data are used to in an ensemble of
linear Support Vector Machine (SVM) classifiers obtaining 0.94 of Area Under
the Receiver Operating Characteritic (ROC) Curve (AUC) when detecting a AD
patients vs. control subjects.

In this paper we use modulated Grey-Matter (GM) maps partitioned accord-
ing to the regions from the Automatic Anatomical Labeling (AAL) atlas to
create datasets of statistical features of these GM maps within each of these
regions for each subject. These datasets are put into a leave-one-out with grid
search process for classifier validation. After that, an ensemble collective deci-
sion is made in order to obtain a classification result. We report the results of
an ensemble of linear Support Vector Machine (SVM) classifiers.

Section [2] gives a description of the subjects selected for the study, the image
processing, feature extraction details, cross-validation and classifier algorithms.
Section [3 gives the classification performance results and in section dl we provide
conclusions of this work and further research suggestions.

2 DMaterials and Methods

In summary the procedure we have followed in this work was: (1) segment the
subjects in 3 tissue volume estimation maps, (2) nonlinearly register each sub-
ject to the MNI template, (3) calculate the Jacobian determinant of the cor-
responding displacement fields, with this, (4) modulate the GM partial volume
estimation maps. (5) Extract from the GM voxels inside each region of interest
(ROI) in the AAL atlas a set of statistical values and finally, (6) use the feature
set of each ROI in a leave-one-out classification procedure with parameter grid
search. In figure [Il we show a pipeline of the experiment procedure.

The implementation of the feature extraction, classification and result mea-
sures have been done in Python with scikit-learn [6]. The source code and prepro-
cessing scripts are freely available for download in
http://www.ehu.es/ccwintco/index.php/Usuario:Alexsavio. The data can also
be shared through an email to the corresponding author.
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2.1 Data

In this study we use all the subjects of a public available brain MRI database,
the first Open Access Series of Imaging Studies (OASIS) [7]. These subjects
were selected from a larger database of individuals who had participated in MRI
studies at Washington University, they were all right-handed and older adults
had a recent clinical evaluation. Older subjects with and without dementia were
obtained from the longitudinal pool of the Washington University Alzheimer
Disease Research Center (ADRC). This release of OASIS consists of a cross-
sectional collection of 416 male (119 controls and 41 patients) and female (197
controls and 59 patients) subjects aged 18 to 96 years (218 aged 18 to 59 years
and 198 subjects aged 60 to 96 years). Further demographic and image acquisi-
tion details can be found in [7].

This database includes at least 3 raw anatomical MP-RAGE images from
each subject as well as post-processed images: (a) corrected for inter-scan head
movement and rigidly aligned to the Talairach and Tournoux space [§], (b) trans-
formed to a template with a 12-parameter affine registration and merged into
a 1-mm isotropic image, (c) skull-stripped and corrected for intensity inhomo-
geneity and (d) segmented by tissue type. To carry out our experiment we have
started with the volumes from (c).

2.2 Preprocessing

The spatial normalization of each subject of the database is performed with the
FMRIB Software Library (FSL) FNIRT [9]. A four step registration process with
increasing resolution and a scaled conjugate gradient minimization method has
been performed using the default parameters, nearest neighbour interpolation
and the standard Montreal Nationa Institute (MNI) brain template.

In this registration process the subject S is nonlinearly registered to a tem-
plate T, and a displacement vector @ (7°) is obtained such that S (7 — )
corresponds with T'(7), where 7 denotes the voxel location. The Jacobian
matrix in this case describes the velocity of the deformation procedure in the
neighboring area of each voxel and it is defined by
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B(z—uz)/gy O(z—uz)/oy d(z—uz)/p,
J; = (‘9(9—“7/)/895 8(y—uy)/8y 8(1/—“y)/8z> . (1)
z—us)fap Az—us)fay O(z—uz)/as

The determinant of the Jacobian matrix is the most commonly used scalar mea-
sure of deformation for tensor-based brain morphometry analyses (TBM) [10].
The determinant of the Jacobian matrix J; is commonly used to analyze the
distortion necessary to deform the images into agreement. A value det (J;) > 1
implies that the neighborhood adjacent to the displacement vector in voxel @
was stretched to match the template (i.e., local volumetric expansion), while
det (J;) < 1 is associated with local shrinkage.

Apart, we segment the subjects with FSL FAST [I1] into 3 volumes with esti-
mation maps of brain tissues: grey (GM) and white (WM) matter and cerebral-
spinal fluid (CSF). In this case we are interested in the GM maps, which we
multiply by the Jacobians from the non-linear registration in order to get a
modulated GM map in the standard MNI space. Subsequently these maps are
smoothed with a 2mm Full-Width Half-Maximum (FWHM) Gaussian filter and
used for feature extraction. A visual check has been performed for all images in
every processing step carried out in this experiment.

2.3 Feature Extraction

The Automatic Anatomical Labeling (AAL) atlas [I2] is used to partition the
GM maps into 116 brain anatomical regions. In this study we extract of each
AAL anatomical region from each subject GM map 7 statistical measures: the
maximum voxel value, the minimum, the mean, the variance, the median, the
kurtosis and the skewness. Resulting in 116 sub-datasets of 416 subjects with 7
features each. One classifier for each of these, together, perform as an ensemble.

2.4 Support Vector Machines

The Support Vector Machine (SVM) [13] algorithm used for this study is in-
cluded in the libSVM software package [14][6]. Given training vectors x; €
R"™,i = 1,...,1 of the subject features of the two classes, and a vector y € R!
such that y; € {—1, 1} labels each subject with its class, in our case, for example,
patients were labeled as -1 and control subject as 1. To construct a classifier, the
SVM algorithm tries to maximize the classification margin. To this end it solves
the following optimization problem:

!
.1 7
. 2
iy o T g
subject to y; (Wl é(x;) +b) > (1—&), & > 0,i=1,2,...,n. The dual optimiza-
tion problem is

o1
min 2aTQoz —ela,
e
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subject to y'a =0, 0< a; < C, i =1,...,1, where e is the vector of all ones,
C' > 0is the upper bound on the error, Q is an [ X [ positive semi-definite matrix,
Qij = viy; K (xi,%;), and K(x;,%x;) = ¢(x;)T¢(x;) is the kernel function that
describes the behavior of the support vectors. Here, the training vectors x; are
mapped into a higher (maybe infinite) dimensional space by the function ¢(x;).
C is a regularization parameter used to balance the model complexity and the
training error.

The option we choose to address the problem with the optimization function
when unbalanced datasets are present is to adjust a weight for each class with a
value inversely proportional to class frequencies. This converts the optimization
equation [2] into:

!
o1
min 2wTw + u, C Zéi’ (3)

w,b,g —

where u, is the weight value for a given class y.

The chosen kernel function results in different kinds of SVM with different
performance levels and the choice of the appropriate kernel for a specific appli-
cation is a difficult task. In this study we only tested for a linear kernel, another
kernel type and its parameter values in the grid search increased exponentially
the experiment computation time.

2.5 Cross-Validation and Parameter Grid Search

A leave-one-out cross-validation is carried out to calculate the results. In each
validation fold, one subject is kept out, a grid search through classifiers parame-
ters is performed against the training set and the kept out subject is then tested
against the previously trained classifier with best performance in the grid search.
In this grid search we perform a 3-fold cross-validation against the training set
using each possible combination of parameter values. The parameter value grid
for SVM was C in [le — 3, le — 2, le — 1, 1, lel, 1e2, 1e3].

2.6 Ensemble Decisions

After obtaining the result from all the classifiers in the ensemble we have to make
an aggregate decision to have only one class decision. Here we test 6 ensemble
majority voting decision criteria using (1) all of the ROI classifiers, the 20 with
best average (2) training AUC and (3) training Fl-score, (4) an a priori set
of temporal brain regions and hippocampus only in the left hemisphere known
to be affected by AD, (5) another set of brain regions which include temporal
and parietal areas of the brain, cingulum, insula and hippocampus from both
hemispheres and (6) the same previous set of regions plus frontal lobe regions.
In figure 2] we show the regions included in each of these a priori ROI maps.
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Fig. 2. Slices of the MNI standard template showing the a priori maps of affected
regions in the left temporal area (left), corresponding to mild AD (middle) and to
normal AD (right) used for ensemble decision.

3 Results

In this section we present the linear kernel SVMs performance using the leave-
one-out cross-validation. We report accuracy ((TP+7TN)/N), sensitivity
(TP/(TP+ FN)), specificity (I'N/ (FP + TN)) and area under the ROC curve
(AUC) [15] for each ensemble decision. In table [[I we show the classification
performance of the ensemble with linear SVMs.

Table 1. Support Vector Machine accuracy, sensitivity, specificity and ROC area of
the leave-one-out cross-validation classification results.

Accuracy Sensitivity Specificity AUC

Majority Voting 83.6 75.0 86.4 80.7
Best 20 Training AUC 83.6 91.0 81.3 86.2
Best 20 Training F1l-score 83.2 90.0 81.0 85.5
Left Hem. AD ROIs 82.4 81.0 82.9 81.9
Mild AD ROIs 82.0 74.0 84.5 79.9
Normal AD ROIs 83.2 79.0 84.5 81.7

The best classification performance is obtained using the majority voting of
the 20 highest training AUC classifiers.

We performed the same experiments using Decision Trees (CART) [16] and
Random Forests [17], and also against other deformation measures as the Jaco-
bian determinant and trace, displacement vector magnitude and geodesic
anisotropy, more detailed in [I8]. Nevertheless we did not obtain in any of them a
sensitivity measure > 70%, which led us to discard those results. The parameter
grid search values used for CART was criterion Gini or Entropy and maximum
depth [None, 10, 20, 30], and for the RF we tested for number of estimators in
[3, 5, 10, 30, 50, 100] and maximum number of feature to consider for best split
[N, V'N, log,(N), automatic, 1, 3, 5, 7], where N is the number of features.
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3.1 Discriminant ROIs

In figure [}l we show the 20 regions that have obtained best training AUC and
F1-score during the leave-one-out. Most of the ROIs coincide with the manually
selected ROIs, mainly with left hemisphere ROIs and frontal lobes.

Fig. 3. Slices of the MNI standard template where the 20 best training AUC (left) and
F1-score (right) ROIs are colored.

4 Conclusions

In this paper we report classification results of an ensemble of SVM classifiers
against GM data partitioned with the AAL atlas. The sample is the complete
cross-sectional OASIS database. For each subject, the modulated GM data is
partitioned into 116 regions and 7 statistical values from each are used as fea-
ture vectors. The results are in agreement with most of our previous classification
experiments [IJI8IT9]. Although classification approaches using whole-brain fea-
tures showed better performance.

It was of our interest to see the performance of the experiments which used a
priori knowledge ROI maps against those experiments with supervised methods
of feature selection. Unsupervised feature selection methods will most probably
show worse classification performance than those which are supervised, but lead
to more generalized systems and less fitted to the experimental database. We
are aware that registration and segmentation errors can lead to biases in the
accuracy of the classifiers. In addition, atrophy in brain structures can be inter-
preted as a late stage of AD and functional MRI could be used instead to detect
previous stages of the disease. As future work we will be trying to successfully
apply ensembles to deformation features, but we could also find more interesting
approaches including functional MRI data.

Acknowledgments. We thank the Washington University ADRC for mak-
ing MRI data available. This work has been supported by the MICINN grant
TIN2011-23823.
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Abstract. In this paper, we compare the performance of two different
methods for the task of electrooculogram saccadic points classification in
patients with Ataxia SCA2: Multilayer Perceptrons (MLP) and Random
Forest. First we segment the recordings of 6 subjects into ranges of sac-
cadic and non-saccadic points as the basis of supervised learning. Then,
we randomly select a set of cases based on the velocity profile near each
selected point for training and validation purposes using percent split
scheme. Obtained results show that both methods have similar perfor-
mance in classification matter, and seems to be suitable to solve the
problem of saccadic point classification in electrooculographic records
from subjects with Ataxia SCA2.

Keywords: eog signals, multilayer perceptron, random forest, saccades,
ataxia sca2.

1 Introduction

Electrooculography is a common technique for measuring eye movements due
its affordability and its accuracy. In the Centre for Research and Rehabilitation
of Hereditary Ataxias (CIRAH) of Cuba, this technique is used for monitoring
of patients with hereditary ataxias. Specifically, saccadic eye movements have
an special interest for the researchers of this disease. This is because many pa-
rameters calculated from eye movements are affected by the evolution of this
disease [I].

Saccades are a kind of eye movements, according [2] are rapid jerk-like move-
ments of the eyes that direct the gaze to a new location, and ballistic movements
in the sense of their duration. Saccadic points are those where the saccade begins
and ends, but there is no unified criterium about where exactly begins or ends

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 115-[23] 2013.
(© Springer-Verlag Berlin Heidelberg 2013
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a saccade. Currently the identification of these points is performed by manual
means by experts in the area or automatically by computational algorithms.

Identification by manual means have drawbacks such as the subjectivity intro-
duced by the expert which makes the points selection. This subjectivity generates
variability between the identification performed by various of these experts. In
the case of signals recorded to sick subjects, the difficulties of manual identifica-
tion rises due the presence of noises and conditions inherent of the disease.

The way of detecting saccadic points by computational methods is very varied
and somehow formalized by the taxonomy of Salvucci-Goldberg [3]. Among the
methods described by the taxonomy the most common ones are those based on
velocity thresholds. These methods have as main drawback that for subjects af-
fected severely by neurological diseases such as Ataxia SCA2, the identification
of saccadic points is very inaccurate. Besides there is no consensus in the litera-
ture about what value should take the velocity threshold used by these methods.
There is a serious lack of research about the other methods proposed in the tax-
onomy, but presumably there is a notable difference in the results yielded by
them and those yielded by velocity thresholds based methods.

From saccadic points and the corresponding signal channel, is possible to
calculate saccadic features such as maximum velocity, latency, duration and the
amplitude. These features have proven to be useful in the research of many
neurological diseases due the contrast of the behaviour of these features between
patients and healtly individuals, as well as between patients of different diseases.
For instance, saccadic velocity is significantly slower in subjects with SCA2 than
in control subjects or subjects with other ataxias like SCA1 or SCA3 []. Also,
the calculation of these features supports drug clinical trials and other kind of
efforts to improve living conditions of subjects suffering this disease [I].

Latency, duration and amplitude are features very susceptible to the position
of the saccadic points. So, the variability obtained by the methods currently em-
ployed have a negative impact on the utility of final data. On the other hand, the
variability caused by the currently employed methods has a negative consequence
on the interpretation of these features by experts, leading to misdiagnosis.

Form this considerations, new methods have to be explored to solve the prob-
lem of identification of saccadic points. Here we propose two methods based on
computational intelligence, capable of learning from a set of examples. Machine
Learning, specifically the supervised learning is a branch of Artificial Intelligence
often used to solve classification problems. Also these techniques are used in the
task of classifying EOG signal patterns [56I7]. In this paper we apply two dif-
ferent techniques of supervised learning to attack the problem of the saccadic
and non-saccadic point classification in subjects with Ataxia SCA2, and analize
their performance. We aim to obtain results with high accuracy without the
drawbacks present in traditional identification mechanisms.

The rest of this paper is organized as follows: In section 2 we describe the
designed experiments and available data. Section 3 is devoted to analize and
comment the results. Finally, section 4 summarizes the main conclusions and
future work lines.
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2 Material and Methods

An experiment was designed to apply two machine learning techniques: Mul-
tilayer Perceptron (MLP) and Random Forest, to clasify a velocity saccadic
pattern dataset. The experiment was separated in several stages as shown in
Figure [l The work performed in each stage is described more deeply in the
followings sections.

{ Read Recordings

Stage |

Data Collection

» Signal Segmentation

Input Preprocessing

{ Segmentation by ‘

Phases Stage I
i Input Selection
» Samples Selection l
{ Model Training ‘ Stage m
Training and
>‘ Cross Validation ‘ Validation

Fig. 1. Experiment main flow. Each stage are separated in a sequence of ordered steps.

In summary, each stage describes:

Stage I: Provide a set of cases that will conform the population used by the next
stage. This population is builded based of EOG segmented data (saccadic or
non-saccadic) created in this stage.

Stage II: Selection of training and validation data taking into account to bal-
ance the most typical cases.

Stage III: Training and validation of both classifiers, using percentage split
scheme to separate training data and validation data.

2.1 Data Collection

The data was recorded using the Otoscreen electronystamograph at a sampling
rate of 204.8 Hz with a bandwith of 0.02 to 70 Hz (analogic filtering). Specifically,
60 degrees saccadic signals were selected due to it’s difference between healthy
and sick subjects. Researchers from the Centre of Research and Rehabilitation
of Hereditary Atazias (CIRAH in spanish) provide us about 30 records of sick
subjects, many of them in very bad shape. After the analysis of these records,
only six of them meets good quality requirements to train classifiers.
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Fig. 2. Signal editor main window. Pink segments mean fizations, gray segments mean
noise and red segments mean saccades.

For signal segmentation purposes, a desktop application was developed capa-
ble to mark different types of segments as shown in Figure

All the programming was done in Python language using NumPy and SciPy
open source libraries for numerical calulations, and PySide Qt bindings for graph-
ical user interface. The application uses python-eog for reading and writing the
data managed by the user interface, developed by the authors too.

Even when the application is capable to tag many ocular events, in selected
test only saccades, fixations and noise are relevant. For practical reasons we only
need to discriminate saccades and non-saccades, thus, our task becomes a binary
classification problem.

Many classical algorithms used to detect saccadic eye movements use a veloc-
ity threshold to set the initial and ending points of a single saccade. Even when
they not agreed in a threshold value, there is a consensus about that the main
criterion is the velocity. Thus, it seems reasonable to think that the pattern of
velocities preceding and after a certain point in the signal determines if they are
inside or outside of a certain event as shown in Figure

The idea for input variables of a single case, was get the pattern of velocities
before and after the target point, in a window fashion way. To build the cases
population, an sliding window runs through each tagged point in selected records,
using this tag as the classification class. If this tag is a saccade we mark the
sample as a saccadic point, if the tag is fixation or noise we mark the sample as
non-saccadic point.
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Fig. 3. a) Time signal of a sample saccade, b) Time signal of a sample fixation, c)
Velocity profile of a), d) Velocity profile of b)

Filtering is, very often, the preprocessing part of signal analysis. For velocity
profile calculations the input signal is first filtered using a median filter with a
window size of 53.71 ms. After filtering, the velocity profile is calculated using
a central difference by eight points method, which has proven to be adequate to
signal sampled by 200 Hz [§]. Finally, new filtering is carried out to eliminate
differentiation noise.

This aggresive filtering is posible because we are interested only in the rela-
tionship between the samples in velocity profile, not the waveform itself.

2.2 Input Selection

Once gathered instances population, we proceed to select the samples used for
training and validation purposes. Is very important to provide a balanced set of
input cases to the classifier in order to achieve better classification performance.

First, the number of cases used for training and validation process selected
was 5000. The first half of them was devoted to saccade points and the another
half to non saccadic points. The set of non-saccadic points was divided in fixation
and noise ponits in equal proportions.

In Figure M is showed how different points belonging to the same saccade
have a significative different window of velocities. That’s mean that a point at
beginning of the saccade usually have different window pattern than a point at
the end of the saccade.

To get even more balanced set of data, was selected the same proportion of
beginning, middle and end points of each class. As results of this input selection
strategy, the samples count per class lays out in Table [l
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a) Velocity profile of a typical saccade b) Velocity profile of a typical fixation
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Fig. 4. Example of windows of points at beginning, middle and ending of an event.
Red range means a window of a point at beginning of the saccade in a) and fixation in
b). Green range means a window of a point at middle of the saccade in a) and fixation
in b). Magenta range means a window of a point at ending of the saccade in a) and
fixation in b).

Table 1. Distribution of input samples per zone in the event and per event itself

Saccade Non-Saccade Total
Fixation Noise

Start 833 417 417 1667
Middle 834 416 416 1666
End 833 417 417 1667
Total 2500 1250 1250 5000

2.3 Training and Validation

Weka [9] is the software package used for training and validate the selected data.
Previous experiments carried out by the authors indicate that the optimum
input features count for the MLP and RF input is of 121 components.

Multilayer Perceptron. MLPs are a kind of feedforward artificial neural net-
work which consists in multiples layers of nodes in a directed graph, where each
layer is fully connected to the next. Except for the input nodes, each node is a
processing element with a nonlinear activation function.

The MLP classifier was trained with a topology of 121 nodes in input layer,
61 sigmoid nodes in the hidden layer and 1 linear node in the output layer. The
network use backpropagation as training algorithm with a learning rate of 0.3
and a momentum of 0.2. 500 epochs were used to train this model.
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Random Forests. RF is a ensemble of decision trees proposed by Leo Breiman
[10]. The idea is based on building a forest of N decision trees, where in each trees
we select M input cases in a random way using the same statistical distribution.
Breiman in his paper proposes the use of Random Trees in the ensemble. In this
type of trees, the split of features in each node is selected randomly from the K
best splits.

Weka uses the algorithm proposed by Breiman. In our case we used the default
values used in the package. This mean that our model will generate an ensemble
of 10 Random Tree. For each tree the random split has 8 features.

The classification is made by the vote of each tree in the ensemble and selecting
the most popular class among them.

The speed and accuracy of RFs make them a very good choice for problems
related to computer vision. So we expect very good results from them, because
the problem we are treating is in some extent a computer vision problem.

The training process uses 5000 examples distributed as shown in Table[Il The
training were evaluated using cross-validation with 5 folds. Finally we test the
trained model against 5000 new examples not present in training data.

3 Results

The validation process performed by weka states the following results:

In Table @ Training Cross-validation stands for the results obtained in the
training process, and Real Validation stands for the results obtained in the test
process (patterns not presented in the training process).

Is a common practice in comparison of several classifiers to use metrics like
sensitivity, specificity and accuracy. These metrics are derived from results shown
in Table 2l and describe proportions between right and wrong predicted cases.

Sensitivity yields how good the model can predict possitive examples de-
scribed by equation[I] in this case saccade points.

Sensitivity = 100 (1)

TP
FN+TP"
Specificity is the proportion on correct prediction on negative cases described by
equation [2] in this case non-saccade points.

TN
Speci ficity = * 100 2
pecificity = pn . pp @
Table 2. Validation results for both classifiers, in training and validation data. TP
are True Positive cases, FP are False Positive cases, TN are True Negative cases and
FN are False Negative cases.

Classifier TP FP TN FN
MLP Training Cross-validation 2325 175 2323 177
MLP Real Validation 2291 209 2318 182

RF Training Cross-validation 2375 125 2334 166
RF Real Validation 2387 113 2318 182
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Accuracy is the proportion of right predicted cases, described by equation [3l

TN+TP

N+ Fp+ N TP 10 (3)

Accuracy =
Table Blshows that both methods perform very well and very similar for the pro-
posed task. However, these results also shows that the Random Forest performs
slightly better than the Multilayer Perceptron.

Table 3. Performance metrics comparison between Multilayer Perceptron and Random
Forest classifiers in training and validation data

Classifier Sensitivity Specificity Accuracy

MLP Training Cross-validation 92.93 % 92.99 % 92.96 %
MLP Real Validation 92.64 % 91.73 % 92.18 %

RF Training Cross-validation 93.47 % 94.92 % 94.18 %
RF Real Validation 92.92 % 95.35 % 94.10 %

4 Conclusions

This paper presented a comparative between two machine learning techniques
(Multilayer Perceptron and Random Forest) to solve saccade and non-saccade
point classification problem of EOG signals measured tosubjects with Ataxia
SCA2.

The results obtained by the validation of both methods shown an accuracy
above 92 percent. So, they are suitable to solve the proposed task without the
drawbacks present in traditional methods. Also, this results stated a slightly
better performance for Random Forest than Multilayer Perceptron.

The Random Forest classifier could be used to build a pseudo-realtime iden-
tification system due its performance in relation to training speed, and for its
accuracy.
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Abstract. In this paper, phonocardiography (PCG) segmentation methodology
based on envelope detection is developed by using a time-scale representation
and a synthetic electrocardiogram signal (EKG). The heart cycle duration is cal-
culated by autocorrelation of S1-S2 sounds that are synchronized with the syn-
thetic EKG. Two algorithms for noisy signal removal are implemented to ensure
the detection of signals with low signal to noise ratio. Approach is tested in a
PCG database holding 232 recordings. Results show an achieved accuracy up of
90%, thus, overperforming three state-of-the-art PCG segmentation techniques
used to compare the proposed approach. Additionally, the synthetic EKG is built
by estimation of heart rate length, thus it does not use a patient recording EKG,
reducing the computational cost and the amount of required devices.

Keywords: Heart Sound Segmentation, Phonocardiogram, Telemedicine,
Autocorrelation.

1 Introduction

Auscultation is the basic diagnostic tool for every medical physician, because of its
simplicity, associated low-cost, and its non-invasive nature. The heart sound recorded
by auscultation or phonocardiography (PCG) is the primary mechanical analysis tool for
the heart function. Other recent techniques, as echocardiography, suggest more sensible
methods to estimate the cardiac mechanics. Nevertheless, their associated high cost and
the elaborated medical knowledge needed for their evaluation make them unsuitable for
uncontrolled environment applications, such as telemedicine.

In cardiac auscultation, the physician finds natural heart sounds originated by the
opening and closing valves, named S1 and S2 sounds, respectively. The systolic in-
terval starts at the beginning of S1 and extends until the beginning of S2, while the
diastolic interval starts at the beginning of S2 and extends until the next S1. Occurrence
of additional sounds in the periods, called little and big silences (intervals between S1
and S2), are clear evidence of myocardium mechanical failures. Each period composed
by these systolic and diastolic periods is known as cardiac cycle and it is the basic unit
for the sound heart analysis. Identification of those additional sounds requires a higher
medical ability and their recognition can vary because of the inherent limitations in the
listener and the limited sensibility of the human ear in the low-frequency range [1].
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Hence, there is a need for development of automatic aided diagnosis tools, providing a
more objective mechanism for identification of heart sounds.

To this end, several segmentation techniques are found in the literature that, how-
ever, commonly need for additional information extracted from signals as the electro-
cardiogram (EKG) or the carotid pulse [2]. That is, techniques must have more sources
and thus increase the complexity and cost of the acquisition system, making its usage
prohibitive in telemedicine applications. Particularly, a comparison of envelope-based
segmentation methods is given in [3]], where most of them make use of feature extrac-
tion techniques such as Shannon’s energy envelope, Hilbert transform and other car-
diac features. Other approaches use the energy estimated from the Short Time Fourier
Transform spectrogram or the scalogram computed with the continuous wavelet trans-
form [4}5]. Afterwards, peak detection and time/amplitud thresholding are used in [6]
for locating the S1 and S2 sounds. Nonetheless, energy is not always constant in the
components of the PCG, since the auscultation focuses, pathologies, breathing and, in
general, some other artifacts produce changes in the time-energy distribution, which in
turn induce changes in the amplitude peaks of the signal. Moreover, the time threshold
or window for locating sounds assumes a priori their length duration, leading to bartered
segmentation, i. e., diastolic-systolic segments instead of the normal systolic-diastolic
heart cycle. In [7], noisy signals are evaluated for a noise-robust detection method by
repeating the signal recording when heart sound characteristics are masked by noise.
However, the heart cycle estimation method implies a high computational cost that can
not be accomplished in near real-time application.

In this paper, a PCG segmentation methodology based on envelope detection is
discussed. The approach takes into consideration the changes in the Heart Rate as a
mitigating factor, aiming to adapt the cardiac cycle length to each segment length. In
the approach, the PCG envelope is computed from the signal time-scale representa-
tion. Then, the cardiac cycle length is estimated from the autocorrelation of 3-second
windowed envelope signal. Lastly, the beginning of the QRS segment and the T-wave
termination, on EKG, are synchronized to the beginning of S1 and S2 sounds, on PCG,
respectively. Since the approach does not required any time or amplitude thresholding,
issues related to the parameter tuning are avoided. Hence, the location and synchroniza-
tion of the synthetic EKG signal ensures a segment-by-segment detection without bar-
tering of the detected locations. Also two noise detection stages are implemented: one
based on predetection of noisy signals, and other by evaluating the time-frequency peri-
odicity similar to [7]. All the used methods are especially chosen to work efficiently in
telemedicine applications. The performance is measured in terms of segmentation accu-
racy, that is, expert observation on whether the heart sound segment is properly located
against the EKG. The paper is then organized as follows, the next section presents a the-
oretical background information. Afterwards, the proposed scheme for segmentation of
PCG signals and state all the parametrization in the methodology is presented. In the
fourth section, results of accuracy segmentation are shown. Finally some conclusions
and future work are given as a summary of the research.
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2 Method

2.1 Noise Predetection

The basic idea behind this stage is to estimate the energy variation along the PSG signal,
z(t),t € T,. To this end, the Shannon energy is calculated, as follows [8]:

n(t) = —z(t)* log (t)? (1

So, if the signal is corrupted by noise within a given estimation segment, T,, its energy
should increase, being noticeably higher that the average energy value, and thus allow-
ing to infer the presence of noise. Signals with strong noise indicators should be either
rejected or recorded again. With this in mind, the average Shanon energy is calculated
as:

n=&E{nt):VteT,} ()

where &€ {-} stands for expectation operator.

2.2 Time-Frequency Enhancement of PCG Signal

Continuous Wavelet Transform: Wavelet analysis that comes from the basic definition
of Fourier theory is based on the representation of a time-varying signal via a space
domain transformation, that is, to the time-frequency domain, as follows:

X (r,w) = / [ () w* (¢ — 7)] et 3)
Ta
where w is a window function segmenting the signal in portions that are assumed to
be stationary and 7 is a time offset. The window function gives the main feature of the
STFT, i.e., the width of the window (called support) that provides the capability of man-
aging the resolution of the representation. Nonetheless, the use of basis functions as well
as the window components in transformation enables to analyze the signal at different
frequency bands with different resolutions, in other words, every spectral component is
not analyzed equally as for the STFT; this approach is then called Wavelet Transform
(WT) that maps a one-dimensional signal into a two-dimensional representation, time
and scale, allowing to give local (at a given resolution) information about the frequen-
cies occurrences. The CWT is then defined as:

W (a,b) = /; (), (1)t 4

where * denotes complex conjugation; variables a and b are the scale and translation,
respectively, and compose the new dimension of the WT. The set of Wavelets is then
generated by translations and dilations of a single Wavelet function called the mother
Wavelet, i.e., W, p (t) = a= /20 ((t — b)/a).
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Time-Scale Representation of PCG Signal: After obtaining the time-scale signal rep-
resentation, its energy must be computed. To get a smoother energy estimation, instead
of Shannon operator in Eq. @), the scalogram is used that is defined as follows:

1
Wscar (t,a) = s W (t,a)? o)

where c is a energy normalization parameter such as the averaged energy of the signal
and the averaged energy of the scalogram becomes equal.

Scalogram then provides with the temporal localization of the energy foci, which are
expected to belong to the fundamental components of the signal. Thus, an envelope of
the PCG signal can be obtained with more accuracy, if the PCG is portioned into short
duration frames, when adding the energy concentration over time instants. Therefore,
the following marginal estimation is accomplished:

e(t) = Z (Wscar (t,a)|? (6)

Ya

Since all short time duration segments of a long-term PCG signal can be assumed to be
quasi-stationary, the autocorrelation of the envelope of such segments should provide
with information about the periodicity of the PCG signal. Particularly, for a given PSG
signal segment that lasts 7}, holding several S1 and S2 events, the autocorrelation that
should show the averaged duration of the heart sound cycle is estimated as follows:

T, —m—1
ree(t) = mz::l e(n+m)e(m), m>0 o
el=m), m <0

Taking into account that for the autocorrelation function both properties hold: periodic-
ity,i.e, 7(7) = r(7 +T), V¥t € T, and maximum value, maxy,c7{r(7)} = 7(0), then
one can infer that #(0) = 7(T'), being T the period of the PCG signal that includes both
S1 and S2 events. Since analysis frame in Eq. {7 lasts more that T\, that is, T, > kT,
with & ~ 3 ..., 4, then the estimated correlation function will hold 2k equally located
peaks. The peak sequence relates the following matching events:(S1 coincides with
S1)— (S1-S2)— (S1-S1)— (S1-S2)— ... Therefore, the distance between odd peaks is
the estimated value of 7.

It must be quoted that the obtained in Eq. (Z) estimation of the segment duration T'
directly from the PCG signal avoids the usage of additional information, like the EKG
or the carotid pulse recording.

2.3 Refined Time-Frequency Periodicity Analysis

Estimation of duration 7', so far, assumes a high value of signal-to-noise ratio. However,
regularity of peaks is strong affected by the presence of noise. To cope with this issue,
a refined periodicity estimation is provided based on the frequency band analysis of
time-frequency plane.
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In general, the spectrogram, given in (), is linearly divided in F' sub-bands, from
each one of which the corresponding energy envelopes is accomplished by Eq. (&).
Assuming a moderate signal-to-noise ratio, the same peak sequence relating the before
considered matching events takes place, but for each one of the split bands. This paper
considers F' = 15. Afterwards, a matrix is constructed with sets of the autocorrelation
envelops gathering 5 neighboring sub-bands at the same time, where for each matrix
the following periodicity value is introduced: p; = (\i2/\i1)?, (being \;; the first and
A2 - the second singular value). In case of strong periodicity, either relationship should
hold: p; > p2 > p3 or p1 < p2 < p3, otherwise, one can infer the persistent noise in
signal [[7].

2.4 Synchronism for Segmentation

The intrinsic relationship among heart sounds and EKG provides us a tool for detecting
or better determining whether an event in the envelope of the PCG signal is systolic or
not, however, the simultaneous EKG is not always available. Having define the length
of the heart cycle, we generate a synthetic EKG signal of the same length using the
nonlinear model proposed in [9]]. The EKG signal starts on the onset of the QRS (that is
the associated beginning of a systolic sound) and has a duration of 7". Synchronization
refers then to identification of the first systolic sound over each analyzed PCG part. This
is done when comparing the distance between the R-peaks and the T-wave end in the
synthetic EKG signal with the first and second local maximums of the envelope, that
is, the distance between the R-peak and the first local maxima of € is minimum when
compared with T if the signal starts some close at systolic sound, if not, we compare
the second local maxima of € with the end of the T-wave with a tolerance parameter and
determine if it is a diastolic sound, in that case the segmentation is done from the next
local maxima which is supposed to be a systolic sound. The 7" value is recalculated
for each new heart cycle (the synthetic EKG adopts the new 1" value), that allows to
adapt the segmentation to the heart rate variability, and therefore, a better segmentation
performance can be achieved.

3 Experimental Setup

The methodology presented in this work is displayed in Fig.[1l

3.1 Database

In this work, the heart sound (Phonocardiogram, PCG) database for murmur detection
of Control and Signal Processing Group at the Universidad Nacional de Colombia -
Manizales is used. This database is composed of 29 patients, each one with 8 record-
ings, namely 4 recordings in the traditional auscultation focuses(aortic, pulmonary, mi-
tral and tricuspid) in diaphragm and bell modes. All recordings have a duration of 20
seconds and present between 10 and 35 heart cycles according to heart rate of each
patient. An electronic stethoscope and the meditron software were used. Signals were
recorded in .wav at sampling frequency 44.1kH z and resolution 16 bit. A labeling
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Fig. 1. Algorithm of the proposed methodology

process was made by a medical team, normal or pathological are the possible classes.
The pathological state corresponds to the existence of abnormal sounds, especially the
appearance of murmurs. Murmur intensity depends on auscultation focus, that is the
principal reason to make the recording over all the 4 foci.

3.2 Measurements

For performance estimation, we use a traditional pan and Tompkins EKG segmenta-
tion algorithm, this is to know the start and end of each heart cycle, given the EKG
and PCG correlation. To validate the method segmentation, the PCG segmentation
should coincide with pan-tompkins results in at least 10%, in other case the part of
signal is considered incorrectly segmented. We use this information to measure the
method true and false detection, as a made in [10]: Pr = Ng/(Np + Np) and Pp =
Np/(Np + Nys), where N is the number true positives, N false negatives, and N,
false negatives. Thus, Pr corresponds with the probability of false detection and Pp
the probability of detection. Fig.[2lexplains the procedure.

False Detection

6, 0y 03 04 05 O 07 Os
Detection Time .
Reference Time ‘
(EKG segmentation) ®
01 0o 03 04 05 O 07 0s

Missed Detection

Fig. 2. Explanation of measurements
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3.3 Experiments

Signals are evaluated to identify a strong presence of noise as in Sec[2.1] It is important
because the presence of noise in signals affects the time-frequency behavior. Then, 7" is
estimated for each signal. The T" in some signals might not be calculated, this occurs in
signals with noise even after pre-detection stage. After that, we probe the signals with
other noise detection method, here the periodicity in both frequency and time as in Sec.
is measured. Signals without periodicity are identified as noisy instances. The last
stage consists in segmenting the clean signals, the measurements described in Sec.
are calculated with the idea of evaluating the method performance.

4 Results and Discussion

4.1 Predetection Stage

All 232 recorded signals were evaluated, in total 18 signals was detected as noisy sig-
nals for the bell mode and for the Diaphragm mode a total of 20 signals result noisy,
the focus procedence source of noisy signals for each mode are showed in table [l Note
that several signals from pulmonary focus has been detected as noisy in relation with
the other focuses, this is because of the presence of respiratory sounds. In this focus the
proximity with the lung structures causes masking in heart sounds. In other words, this
experiment shows the high presence of internal noise sources. In noise terms, this fo-
cus is followed by the mitral focus, here exist perturbations associated to lung structure
too, due to the focus localization in the intercostal space. The other focuses are affected
by different noise sources i.e., digestive sounds or human voice. It is important to em-
phasize that owing to the data acquisition conditions all the recordings are affected by
external noise, this can justify the detection of some signals in this stage.

Note that noisy segments show a high energy with respect of the average energy, Fig.
exhibit a signal with noisy segments, here is evident the strong noise presence and its
influence in energy values.

4.2 Heart Cycle Duration

For the rest of signals, after noise pre-detection, the heart cycle duration is estimated
as in Sec.[2l For comparison purposes the EKG signal is used to identify the real heart
frequency. In these terms, the estimated heart cycle duration is considered good if it
matches at least in +10% the real value. As a result of this comparison we find 10

Table 1. Noise Pre-Detection

Focuses of Auscultation
Bell Mode Diaphragm Mode
AMPT AMP T
1683555 5
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signals where T' can not be calculated, this is only a 4.3% of the signals in the original
dataset. The estimation problems occur because of the noise present in these signals that
can not be detected in the predetection stage; the periodicity analysis is an additional
method to identify this kind of noisy signals.
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4.3 Refined Procedure of Computing Time-Frequency Periodicity

After this analysis, 15 signals were identified with periodicity problems. FigHl is an
example of noisy signal and its frequency problems, the low homogeneity between
the autocorrelations obtained of the 15 frequency subbands shows it. Nonetheless, in
Fig.[3l it is showed a signal with periodic morphology, note the uniform dynamic along
the signal through all the subbands, namely the peaks appear at the same time.

4.4 Achieved Segmentation

Lastly, after segmenting a total of 1741 heart cycles, according to the EKG reference, the
present method identified 1516 of these heart cycles. It represents a sensibility of 90.88%
and false detection rate of 9.11%, these values are calculated as explained in Sec2
These results show the high efficiency of the exposed method and present that a good
detection of noisy signals is a necessary stage for PCG signal segmentation. The present
work shows the goodness of noise detection as a stage in automatic phonocardiography
segmentation, and secondly, the use of segmentation methodologies based on envelope
detection together with the synthetic EKG can improve the good segmentation rates.
Compared with other works, the present method has superior performance, for in-
stance in [3]], segmentation results for some kinds of envelope extraction methods are
shown i.e., Shannon envelope shows segmentation efficiency for abnormal cases be-
tween 75.5% and 89.4%, and for normal cases from 65.9% to 78.2%), while Hilbert
envelope shows low segmentation rates. Also this work say that CSCW shows segmen-
tation efficiency between 96.2% and 100% for normal cases and between 72.7% and
88.2% for abnormal cases. In [L1]], discussed approach gives an accuracy from 88.29%
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to 66.77% for Morlet envelope and Hilbert envelope, respectively. In [§] it is showed an
accuracy of about 95.51%, but taking into account that they use a-priory information as
the average heart rate and it is supposed a continuous hear rate. The presented method
is robust to heart rate variability and even talking about patients with some arrhythmia
it is possible to carry out a proper segmentation.

5 Conclusions and Future Work

An efficient segmentation methodology for PCG signals is presented that allows seg-
mentation accuracy of up to 90% in most of the database registers. Method performance
show that cycle heart length estimation by autocorrelation and synchronization with the
synthetic EKG provides a good segmentation strategy with the joint analysis of the en-
velope of the original signal, it is important to note that the proposed method is chosen
to work in telemedicine environments. This can enhance the traditional methods of PCG
segmentation ensuring a correct length calculation and S1-S2 detection.

As regards the telemedicine application, it is important to note that the noise con-
ditions for heart sound acquisition can not be adequate, for that reason it is necessary
to implement strategies that contribute to identify the quality of recorded signals, for
instance, the periodicity and energy methodologies used in the present work are a good
response to this problem. The use of an adaptive synthetic EKG from a 7" estimation
in each heart cycle segment, allows the segmentation even in patients with a large heart
rate variability.

The low accuracy rates presented along the state of the art are understood, because
the noisy signals diminish the methodologies performance, that as a result of the enve-
lope distortions. Nevertheless, it is important to work in segmentation methods based
on envelope, because its simplicity enables it to work in telemedicine applications. De-
spite the noise analysis, it is important to use a refined acquisition protocol, that allows
to identify if it exists acceptable conditions for recording signals, that is, an environment
free of noise and to get the lowest quantity of excluded signals.

Finally as a future work, we propose to find better methods to estimate the heart cy-
cle duration, because a better evaluation of time-frequency signal periodicity is highly
dependant on this, furthermore, it can improve the segmentation performance by de-
creasing the false detection rate. Also it is important to improve the synchronization
methodology, that because there exist signals with attenuated sounds, that produce
losses of peaks, which also decreases the accuracy rates.
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Abstract. Ataxia SCA2 is a neurological disorder among a group of in-
herited diseases of the central nervous system. In SCA2, genetic defects
lead to impairment of specific nerve fibers, resulting in degeneration of
the cerebellum and its afferent connections. As anomalies in the oculo-
motor system are well known symptoms in SCA2, electro-oculographic
records become a useful technique for SCA2 diagnosis. This work presents
a novel technique for determining how many decomposition levels are
necessary to perform signal de-noising, based on the evaluation of the
shape correspondence between the wavelet approximation coefficients
and the EOG record, focusing in noise cancellation in order to obtain
a clean velocity profile. Experimental results show the validity of the
approach.

Keywords: Spino cerebellar ataxia type 2, electro-oculography, wavelet,
de-noising, signal processing.

1 Introduction

The oculomotor system is substantially affected by ataxia SCA2, a dominantly
inherited neurological disorder with an unusually high prevalence in northeast-
ern Cuba. The effect of this disease on the latency, amplitude, duration and
maximum velocity of the saccadic ocular movements has been shown in pre-
vious studies [T2I3145]. Also, electro-oculographic (EOG) records are substan-
tially contaminated by the presence of biological noise and artifacts caused by
the disease, amongst them permanent tremor and involuntary body and ocular
movements, besides of the noise generated by skin electrodes and the electro-
myographic (EMG) activity of the extra-ocular muscles in healthy subjects.
Most of the clinical studies of ocular movements in ataxia patients use the
velocity instead of ocular position directly measured by skin electrodes placed
surrounding the eyes, thus causing the need to compute the first derivative of

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 135-[[4T] 2013.
(© Springer-Verlag Berlin Heidelberg 2013
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this signal. In healthy subjects the ocular position signal is relatively easy to
be differentiated using digital filters to remove noise [6], precedent researches
recommend median filter and central difference algorithms in order to clean and
differentiate the observed signal [7J6l/S]/9].

Inchingolo and Spanio [6], demonstrated that a sampling rate of 200 samples
per second gave an appropriate evaluation of saccade characteristics for saccades
higher than 5°, and the suitability of eight-points central difference derivative
algorithm to compute the velocity profile.

However, our own experience with saccadic EOG records from ataxia patients
reveals that the application of the eight-points central difference derivative al-
gorithm has not been accurate enough to obtain an useful velocity profile, even
if a median filter with different windows sizes was applied in order to clean the
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Fig. 1. Position (top) and velocity profiles (bottom) of a healthy subject
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Fig. 2. Position (top) and velocity profiles (bottom) of an ataxia patient
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position signal. Figures 1 and 2 show the position profile and the corresponding
velocity profiles for a healthy subject and an ataxia patient whose values were
calculated using the eight points central difference of the median filtered signal
with a window size of 25 ms.

2  Wavelet De-noising

Currently we are working in a promissory approach using a wavelet transform
to de-noise the ocular saccadic signal by means of the application of thresholds
to the wavelet coefficients. Wavelet transform is a well known tool in biomedical
variables, covering the processing of many different biological signals as elec-
troencephalography, electromyography and electrocardiography amongst others
[TOUTTUT2]. A known problem related to the application of wavelet is to establish
how many decomposition levels are necessary to perform signal de-noising. This
problem has been solved by several researchers accordingly the characteristics of
the signal and the goal of the application of wavelet analysis [13[14]. Our work
covers a novel approach for the automatic selection of the decomposition level
of EOG records from ataxia patients, focusing in noise cancellation in order to
obtain a clean velocity profile.
The proposed algorithm consists of the following steps:

1. Apply a median filter to the EOG signal with a window width of 25 ms.

2. Compute the first derivative of the EOG signal using eight-points central
difference method

3. Apply wavelet transform to the velocity profile

4. Compute the integration of wavelet approximation coefficient at every level

5. Compute the root total medium square error (RMSE) between the median
filtered EOG signal and the integrated wavelet coefficient

6. Select each level until the RMSE growing rate changes abruptly

3 Material and Methods

3.1 Data Collection

The electro-oculogram recordings of 10 patients with severe ataxia and 10 healthy
subjects diagnosed and classified in the “Centre for the Research and Rehabilita-
tion of Hereditary Ataxias (CIRAH)” were used in order to perform the analysis
of repeated ocular saccadic movement tests for 60° divergence stimuli. All the
recordings were carried out by the medical staff of CIRAH. Each individual
was placed in a chair, with a head fixation device to avoid head movements,
the variables were collected by a two channel electronystagmograph (Otoscreen,
Jaeger-Toennies). Recording conditions were set as follows: electrodes of silver
chloride placed in the external borders of right eye (active electrode) and left eye
(reference electrode) with sampling frequency 200 Hz. For stimulus generation a
black screen CRT display showing a white circular target with an angular size of
0.7° was used.The stimulus and patient response data are automatically stored
in ASCII files by Otoscreen electronystagmograph.
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3.2 Wavelet Decomposition Level Selection

Data processing was accomplished using the Wavelet Toolbox and other func-
tions of Matlab 7.11. The first step is EOG signal preprocessing applying a
median filter with a time window of 25 ms, in order to reduce higher frequencies
of noise, beyond the significant spectrum for saccadic features extraction.The
first derivative is accomplished by an eight-points central difference algorithm
appropriate for the sampling frequency of 200 Hz, defined by the following
equation [6]:

f‘;Zan (t+n)—y(i—n)) (1)

where:
m = 4; a; = 0.8024; ay = -0.2022; a3 = 0.03904; a4 = -0.003732.
fs: sampling frequency

A discrete Daubechies wavelet transform (dbb) is applied to the velocity signal
up to level 8. This level is higher than the maximum level of interest, according to
the previous visual check that it was performed. At that point, the approximation
coefficient at every level is integrated by means of Matlab function cumptrapz,
translation coefficients of the integral results were adjusted using a Nelder-Mead
simplex direct search implemented in Matlab function fminsearch.

Root mean square error was computed by direct subtraction of every inte-
grated approximation and the original position signal. Figure 3 shows the ve-
locity profile and the wavelet approximation at two different levels for a healthy
subject and an ataxia patient.
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Fig. 3. Position (blue) and integration of wavelet approximation coefficient(green) for
level 4 (top), healthy subject (left) and level 5 ataxia patient (right). Corresponding
velocity and approximation coefficient (bottom).
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4 Results and Discussion

Visual inspection of the approximation coefficients for every record showed an
uniform and consistent result: the maximum decomposition level for all healthy
subjects was set at level 5, and for ataxia patient it was set at level 6. This dif-
ference is caused by the sharper behavior of saccades in healthy subjects, which
are better shaped and show higher velocities than ataxia patients (Table 1).

Table 1. Maximum decomposition level labeled by visual inspection

Healthy subject 555555555555555
Ataxia patient 666666666666666

The shape of the growing rate of the RMSE was very similar for all the
processed records which is illustrated in Figure 4 showing the normalized RMSE
results for a healthy subject and an ataxia patient.

Table 2 an Figure 5 show the mean and standard deviation of RMSE for each
decomposition level. An analysis of the values and the visual inspection of the
graphic reveals a significant gap between the levels in the boundary of the max-
imum decomposition level, with no overlapped standard deviation. Therefore, it

0.8 0.8

0.6 0.6

RMSE
RMSE

0.4 0.4

0.2 0.2

o 5 10 0 5 10

Fig. 4. Normalized RMSE for a healthy subject (left) and an ataxia patient (right)
Table 2. Mean and standard deviation of RMSE for each level

Healthy subjects
1 2 3 4 5 6 7 8
mean 0.0000 0.0003 0.0008 0.0039 0.0438 0.1984 0.6009 1.0000
standard dev. 0.0000 0.0003 0.0005 0.0021 0.0154 0.0330 0.0583 0.0000
Ataxia Patients
1 2 3 4 5 6 7 8
mean 0.0000 0.0009 0.0015 0.0027 0.0063 0.0436 0.2844 1.0000
standard dev. 0.0000 0.0012 0.0019 0.0020 0.0021 0.0139 0.0852 0.0000
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Fig.5. RMSE mean and standard deviation for each level in healthy subjects
(continue) and ataxia patients (dot)

is relatively simple to define the adequate threshold to establish the criterion for
decomposition level selection.

5 Conclusions

The presence of very high noise levels in EOG recordings of ataxia patients
constitutes a significant challenge for the extraction of the relevant features for
the diagnosis and evaluation of their neurological condition. The application of
a median filter, which it is the most popular filter for saccadic signals, does
not achieve to obtain a position signal which could be differentiated, so other
methods need to be evaluated to solve this problem.

Precedent works indicate the validity of wavelet transform to de-noise biologi-
cal signals, including records of neurological system. Nevertheless, it is necessary
to develop an algorithm which helps researchers to select the correct level of de-
composition. The present work presents a simple approach to the decomposition
level selection based in the specific characteristics of the saccadic EOG records.
There exists a remarkable coincidence between the evaluation of the records by
visual inspection of the original data and wavelet coefficients when compared
with the shape of the plot of the RMSE computed between the data and the
integral of the wavelet approximation coefficients of the velocity profile. The
presence of a well defined knee in this plot, with a relevant gap in mean values
and a relatively low standard deviation simplifies the task of threshold definition
in order to perform level selection.

Future research will focus on the acquisition and processing of a higher number
of recordings, including patients in different conditions, which it is necessary in
order to assure the statistical consistency of these results.
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Abstract. Analysis of human movement is an important research area, specially
for health applications. In order to assess the quality of life of people with mo-
bility problems like Parkinson’s disease (PD) or stroke patients, it is crucial to
monitor their daily life activities. The main goal of this work is to characterize
basic activities and their transitions using a single sensor located at the waist.
This paper presents a novel postural detection algorithm which is able to detect
and identify 6 different postural transitions, sit to stand, stand to sit, bending
up/down and lying to sit and sit to lying transitions with a sensitivity of 86.5%
and specificity of 95%. The algorithm has been tested on 31 healthy volunteers
and 8 PD patients who performed a total of 545 and 176 transitions respective-
ly. The proposed algorithm is suitable to be implemented in real-time systems
for on-line monitoring applications.

Keywords: Postural transitions, Accelerometers, Inertial Systems.

1 Introduction

Motion tracking and identification of daily life activities by inertial systems are useful
in the evaluation of the quality of life in the elderly or patients with mobility problems
[1], for example stroke patients or those with Parkinson’s disease (PD). Among daily
life activities, postural transitions (PT), mainly sit-to-stand (SiSt) and stand-to-sit
(StSi), are very important since they are the most mechanically demanding activities
and are considered as a prerequisite of walking [2]. For dependency care area,
analyzing these transitions could be crucial for fall prevention [3] [4].

There are different methods to study and analyze human movements such as elec-
tromyography [5], photography and video [6], stereograph [7] and electrogoniometry
with a pressure platform [1]. However, these systems are cumbersome and uncom-
fortable. Therefore, these systems cannot be used in an ambulatory monitoring.

L Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 142-[49] 2013.
© Springer-Verlag Berlin Heidelberg 2013
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Nowadays, Micro-Electro-Mechanical-Systems (MEMS) technology allows smaller
and lighter sensors, such as miniaturized accelerometers and gyroscopes. The small
size and low energy consumption enables the embedding of the sensors in devices that
can be worn easily and can operate for a long time running on a small battery. MEMS
have already been widely used to study human motion, and particularly in PT. For
example, Bidargaggi et al. analyzed the waveform of a previously detected transition
by reconstructing the accelerometer signals in the waist using wavelets in order to
determine whether a SiSt or StSi transition occurred [8]. Najafi et al. used a gyros-
cope to obtain the chest tilt and consequently, detect postures [9]. By means of the
frequency response of the gyroscope signal, they discovered a frequency band below
0.68Hz in which a significant peak appears when a PT has occurred. Najafi et al.
combined this approach with other methods and constraints to generate a complete
algorithm that recognizes basic activities in daily life [1]. Another interesting study
used a mobile phone situated in a trouser pocket in a fixed position [10]. Through the
correlation of the signal obtained with a signal template, a SiSt or StSi transition was
identified. Static positions, like standing, sitting or lying can be identified by analyz-
ing the accelerometer values in window sequences [11]. However, a sit position can
be confused by a standing position depending on the tilt of the body. Thus, a dynamic
and a change in the stationary movement analysis are proposed in this work.

This paper presents a novel postural transition detection algorithm using a unique
triaxial accelerometer located at the waist, which is considered a comfortable location
to carry an inertial sensor. The algorithm is suitable to be inserted in a microcontrol-
ler, since there are no complex calculations that require large memory usage or long
time periods to calculate parameters for the algorithm. This algorithm presented has
been tested in a database of 31 healthy patients and 8 PD patients. The final goal of
this algorithm is to enable the evaluation of the quality of life in PD patients and en-
hance movement disorder detection algorithms for PD that are being developed un-
der REMPARK project by means of the same inertial sensor located in the same
place [12] [13].

2 Posture Transition Algorithm

A static position is characterized by the absence of movement and, then, only gravity
(G) is measured by means of the module of the accelerometer axis (ax, ay, az), as
shown in Eq. (1). Thus, when the sensor is located in the waist as shown in Figure 1,
similar measurements may be obtained from different static positions, e.g. sitting and
standing postures. Consequently, in order to discriminate between sit and stand post-
ures it is needed to identify postural transitions. However, when a person is lying, the
weight of the gravity may fall in the anterior axis (ax) or lateral axis (az).

’a§+a§+a§

=G =9.81m/s? (1)

static
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In dynamic postures, Eq. (1) is not valid, since accelerations applied to the inertial
sensor makes vary value of Eq. (1), therefore, another features must be analyzed in
order to study posture transitions, for example frequency response. According to Na-
jafi et al., frequency response below 0.68Hz corresponds to postural transitions [9]. In
this work, a Short Time Fourier Transform (STFT) is used to detect transitions.
Formally:

X(f,0) = [0 wtDx(t)e 2™t dt )

where x(t) is the accelerometer signal to be transformed, w(t, 7) is the window func-
tion to be analyzed. The power spectral density of the window analyzed is composed
by the amplitude of the signal and its frequency. A harmonic in the band below
0.68Hz which overpasses a certain threshold (Th;) is considered to lead to a postural
transition event. This threshold will be set as the value that maximizes the minimum
of sensitivity and specifity of a posture transition detection training dataset.

Once any postural transition is detected, it should be then identified. A simple ap-
proach which takes advantage of how gravity changes between axes in a PT is pro-
posed. More concretely, the following condition differentiates the SiSt and bending
down (BD) from StSi and bending up (BU) transitions:

StSi,BU < —Th,

AWx —Wz) =1 SiSt,BD > Th, 3)
other
W, = E120 )
n
w, = ZeeO 5)

n

where a, and a, in Eq. (4) and Eq. (5), are the anterior and lateral acceleration vectors
of n samples, respectively. Th, value has been set by maximizing the minimum
specifity and sensitivity on the identification of the StSi and SiSt.

Y AXIS (vertical)

.
Z AXIS (lateral)

(anterior)

B S

Fig. 1. Inertial Sensor
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Assuming that the sensor is located according to Figure 1, the explanation of
Eq. (3) is based on the effect of gravity on the axes. Overcoming the negative thre-
shold on Eq. (3) means that the person has made a StSi or BU transition since Z axis
tends to point the superior direction, then Z axis value is increased due to gravity and
makes left part of Eq. (3) more negative when sitting. On the other hand, Eq. (3)
might not vary and remains close to zero when the subject realizes stationary move-
ments, for example walking, running, standing, sitting or lying. Furthermore, a de-
creasing value in Z axis is obtained because of the bending forward movement when a
SiSt transition begins. The X axis is directed against gravity and tends to become
positive when standing up. Note that anatomy and belt mounting has a very strong
effect on the data captured and, consequently, only one axis might change instead of
both X and Z axis. In order to overcome this problem, a relation among X and Z axis
is used in Eq. (3).

The state machine shown in Figure 2 has been developed in order to establish the
complete PT classifier. In this state machine it is very important to know the initial
conditions since the triggering of the indicator given by Eq. (3) results in 2 possible
posture transitions, which are distinguished through the initial conditions.

Furthermore, a Lying postural transition is detected whether the Y axis changes, if
Y is under 0.5G it is understood that the person is in a prone position.

Initial Conditions
(Stand=1}

Window Capture

else

Harmonics > Thy under 0.68 Hz

Prone Position,
Stand=2

under (-Th)

[ Sit Down or Bend up AXZ relation

A A

no
4[ Sit Down, Stand=0 ] [ Bendup ] [ Bend down ] [ Stand up,Stand=1 ]—

withinrange

Fig. 2. Activity Recognition Algorithm
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3 Experiments

The experiments have been performed using an inertial data-acquisition device devel-
oped at the Research Centre for Dependency Care and Autonomous Living of the
Technical University of Catalonia (CETpD-UPC). This device has been already used
in other research works [14]. With a size of 77x37x21 mm3, it is smaller than a mo-
bile phone. The accelerometer used is LIS3LV02DQ, which is 3-axial and has a full
scale of = 6G (1G=9.81 m/s2) and has the data information conditioned and
digitalized. The inertial data is stored in a pSD card.

Two test protocols have been performed. The first test protocol, which includes
different daily life activities, was performed by 36 volunteers (22 men and 14 women,
ages from 21 to 56 years old, mean age of 35.77 and standard deviation of + 9.58). 5
randomly chosen volunteers have been used to set thresholds, and the rest have been
used to test the classifier. Six transitions have been taken into account in this work:
Bending up/down (BU/BD), Sitting from Lying (SL), Lying from Sitting (LS), Stand-
to-Sit (StSi), Sit to Stand (SiSt). The participants wore an inertial sensor at the waist,
fixed as shown in Figure 1. Every subject performed the test twice, removing his belt
and relocating it again between tests. Each test lasted 3-4 minutes approximately.

Participants were video recorded in order to have a visual gold-standard. A total of
625 transitions have been analyzed, 80 of them were used to set thresholds Th; and
Th,, among which 40 transitions belong to Sit-to-Stand and Stand-to-Sit transitions,
20 belong to Lying transitions and the other 20 to Bending transitions. The other 545
transitions were used to test the classifier, among which 311 transitions belong to Sit-
to-Stand and Stand-to-Sit transitions, 124 belong to Lying transitions and the other
110 to Bending transitions. The second test protocol was performed by 8 patients with
PD, who formed part of MOMOPA project database [15]. The entire tests were also
video-recorded, and the thresholds achieved with the 5 randomly healthy volunteers
were not changed in order to validate the algorithm in both data bases. A total of 176
transitions have been analyzed, 88 of them were SiSt and 88 were StSi. The signal has
been sampled at 40Hz in both tests, which is enough to measure human motion [16].
Signal was divided into 128 samples windows, which have a duration of 3.2 seconds.
This window length is enough since, according to Kralj’s et al., the maximum time of
a transition is 3.3 seconds [1]. However Kerr et al. confirmed that transitions may last
up to 2 seconds in elderly people [7]. Windows are 50% overlapped to prevent
possible loss of information.

4 Results and Discussion

A total of 80 transitions belonging to 5 purely random chosen healthy volunteers have
been used to set Th; and Th,, which are the detector and identifier thresholds of SiSt,
StSi BU and BD transitions. Th; has been set to 2 having maximized the minimum
sensitivity and specifity of detecting a transition among the 80 training set transitions.
Th; has been set to 1.5 through the same approach.
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A total of 545 transitions have been evaluated (311 SiSt and StSi, 110 Bending and
124 Lying transitions). Results of sensitivity and specifity on healthy volunteers are
shown in Table 1. Note that TN,TP,FN and FP mean True Negative cases, True
Positive cases, False Negative cases and False Positive cases respectively, while
TN

e TP :
Sensitivity= -———— , and Specifity = TNTFD"

TP+FN ’

Table 1. Sensitivity and Specifity from different postural transitions on healthy volunteers

Activity Predictions N. Transitions Result
TN 359 P
TP 135 Sensitivity 0,865
SIT TO STAND N 156
N 21 Specifit 0,992
P 3 pecifity ,
N 359
Sensitivity 0,871
TP 135
STAND TO SIT 155
N 20 Specifit 0,986
P P pecifity ,
N 442
Sensitivity 0,946
TP 52
BEND UP 55
N 3 Specifit 0,996
P ) pecifity ,
N 446
Sensitivity 0,873
TP 48
BEND DOWN 55
N ! Specifit 0,996
P ) pecifity ,
N 432
Sensitivity 1,000
LYING FROM TP 62 6
SiT N 0 Specifit 1,000
P 0 pecifity |
N 432
Sensitivity 1,000
SIT FROM TP 62 62
LYING FN 0
Specifity 1,000
FP 0

Table 2 shows the results of the algorithm applied to 8 PD patients using the same parameters
used with healthy people.

Table 2. Sensitivity and Specifity from different postural transitions on PD patients

Activity Predictions N. Transitions Result
TN 214 .
TP 0 Sensitivity 0,932
SIT TO STAND 88
N 6 Specifit 0,963
FP 8 pecifity ,963
TN 214 o
TP 81 Sensitivity 0,92
STAND TO SIT 88
FN 7

FP 10 Specifity 0,955
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The method detects SiSt, StSi, BU and BD transitions with a specificity over 0.98.
However, sensitivity measurements decrease especially at Bend Down, StSi and SiSt
transitions, which have sensitivity around 0.90. In these cases volunteers tend to Bend
down more slowly than when they Bend up, consequently Th, is not enough to detect
a transition so an adaptive threshold is proposed for future work in order to enhance
these results. The StSi and SiSt transitions drawbacks come when volunteers sit at the
bed. It has been found that some people have sat dropping, similarly to a fall, provok-
ing deep rebounds in the signal. However, calculating the mean of the X axis and Z
axis in a window of data neglects this effect by acting as a low-pass filter.

The postural transition algorithm described uses a single accelerometer located at the
waist, and is based on the effect of gravity on the accelerometer axis. The sensor loca-
tion is very important because it maximizes the difference between frontal acceleration
or X axis and lateral or Z axis as considered in Eq. (2). For instance, if the sensor is
located at a lateral side of the waist, then the lateral axis would be orthogonal to the
rotations performed during postural transitions, thus gravity effect would be negligible
and Eq. (2) would remain constant to postural changes. One of the main features of the
system is the windowing-based analysis. On the one hand it allows reducing latency
time, in other words, a result of the algorithm can be given in each window. On the
other hand it permits the microcontroller to lighten the load of memory used to analyze
the signal since it analyzes only a window instead of the whole signal.

As part of future work, it is proposed to enhance the correct identification of the PT
by detecting some other activities, for example walking, running or activities that a
person can only execute when she/he is stand. On the other hand this algorithm has to
be validated in a larger database which is currently being performed with real PD
patients which have to execute PT in their daily life in a home-environment situation.

5 Conclusions

Postural transitions are an important activity of daily life, and measuring them can be
useful to evaluate quality of life. The postural transition detector presented in this
work detects and identifies 6 different postures and uses a single accelerometer in a
very comfortable position. The method has been shown to detect PT with specificity
over 0.98 and sensitivity 0.865. It has also been tested in real PD patients, where the
results achieved are 0.92 on sensitivity and 0.95 on specifity. The algorithm is
suitable to be implemented in real-time for online monitoring as the algorithm as it is
based in windowing analysis.
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Abstract. Multiple sequence alignment (MSA) is an essential approach
to apply in other outstanding bioinformatics tasks such as structural
predictions, biological function analyses or phylogenetic modeling. How-
ever, current MSA methodologies do not reach a consensus about how se-
quences must be accurately aligned. Moreover, these tools usually provide
partially optimal alignments, as each one is focused on specific features.
Thus, the same set of sequences can provide quite different alignments,
overall when sequences are less related. Consequently, researchers and
biologists do not agree on how the quality of MSAs should be evaluated
in order to decide the most adequate methodology. Therefore, recent
evaluations tend to use more complex scores including supplementary
biological features. In this work, we address the evaluation of MSAs by
using a novel supervised learning approach based on Least Square Sup-
port Vector Machine (LS-SVM). This algorithm will include a set of
heterogeneous features and scores in order to determine the alignment
accuracies. It is assessed by means of the benchmark BAIiBASE.

Keywords: multiple sequence alignments (MSAs), feature selection, su-
pervised learning, least squares support vector machines (LS-SVM).

1 Introduction

Multiple sequence alignment (MSA) is one of the most useful tool for other
biological and biomedical tasks. MSA strategies have been applied in a huge
number of applications such as phylogenetic analyses, structural modelling, func-
tional predictions or sequence database searching [20]. These methodologies also
take advantage of high-throughput experiments or next-generation sequencing
(NGS), which provide functional, structural and genomic information to obtain
more accurate alignments in a reasonable time [I3]. Therefore, MSAs are be-
coming one of the most powerful tools for analyses in bioinformatics [16].
Currently, one of the main challenges in MSA is to provide an evaluation
method in order to efficiently calculate the quality of the alignment. Sequence
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alignments have been traditionally evaluated by using well-known weighted ma-
trices, such as Point Accepted Mutation (PAM) [B] or BLOSUM [I1]. However,
these matrices only consider the nucleotide or amino acid information provided
by the sequences to evaluate each pair of aligned residues. Other MSA evalua-
tions are also addressed by comparing with reference alignments. Several bench-
marks, e.g. BAIIBASE [26], provide a set of alignments which are considered as a
gold standard because they were accurately obtained. Then, alignments provided
by other tools are usually evaluated according to their similarity with these gold
standard references. This evaluation is usually the most accurate to measure the
quality of the alignment. However, these references are not available for all pos-
sible sequences and they cannot be used when novel sequences are compared. In
these cases, the evaluation of alignments could result hard as there are not previ-
ously know references. For this reason, current scores are increasingly improving
their evaluations by using additional biological features, such as protein struc-
tures or homologies. For instance, both Contact Accepted Mutation (CAO) [17]
and STRIKE scores [I4] included molecular contact information from protein
structures to estimate the alignment quality.

In this work, a new supervised learning approach, based on Least Square Sup-
port Vector Machine (LS-SVM), is proposed in order to provide an alignment
evaluation. This algorithm takes advantage of the integration of several biolog-
ical features. These features are selected from resources and databases related
to protein structures, homologies, chemical properties, etc. Additionally, other
evaluations or scores calculated from alignments are also included in the data
integration. The proposed method is assessed by the 218 alignments provided
by BAIiBASE.

2 Methods

2.1 The BAIIBASE Benchmark

BAIiBASE [26] defines several groups of sequences that are specifically prepared
to be aligned by standard algorithms. This dataset includes a total of 218 manu-
ally extracted sets of sequences, usually provided by Protein Data Bank (PDB)
[2]. These sets of sequences are organized in six subsets of sequences according
to their families and similarities, namely RV11, RV12, RV20, RV30, RV40 and
RV50. For example, the RV11 subset includes the set of less similar sequences
(> 20% of similarity). BAIBASE also provides a set of handmade reference
alignments (gold standard) in order to compare them with alignments obtained
by other tools. Thus, BAIIBASE calculates a Sum-of-Pairs (SP) score, called
BAliscore, to evaluate such alignments. These SP scores are used to assess the
proposed evaluation scheme.

2.2 Input MSA Methodologies

Traditionally, several strategies have been applied in order to align multiple se-
quences, mainly classified as progressive algorithms or consistency-based meth-
ods. Recently, more sophisticated tools in MSA have also added further data to
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Table 1. Summary of features and scores extracted for each alignment. 14 fea-
tures/scores were retrieved. The ranking of relevance was also measured according
to the NMIFS procedure. V) These matches refer to percentage of aligned amino acids
with the same feature.

MEASUREMENT Type RANK MEASUREMENT  Type RANK
f1 # of sequences Feature 22 f12 Domain Matches® Feature 6
f2 Average length Feature 20 f13 Number of Domains Feature 16
f3 Variance length Feature 21 f14 Shared Domains (%) Feature 18
fa Shared 3D struct Feature 2 f15 Shared GO Terms (%) Feature 17
fs Segs. with 3D struct (%)  Feature 9 fie Gaps (%) Feature 12
fe # of 3D struct. Feature 13 f17 Identities (%) Feature 15
fr AAs Types Matches® Feature 5 fis STRIKE Score 1
fs Transmembrane AAs (%) Feature 11 f19 PAM250 Score 3
fo AAs in Strand (%) Feature 14 f20 BLOSUMS62 Score 4
fio AAs in Helix (%) Feature 19 f21 RBLOSUMG62 Score 10
f11 Second. Struct. Matches(!) Feature 7 f22 GONNET Score 8

align sequences, such as domains, secondary/tertiary structures or homologies.
In this work, ten representative MSA tools were selected to evaluate the quality
of their alignments. Among progressive algorithms, ClustalW [25], Muscle [§],
Kalign [15], Mafft [12] and RetAlign [24] were chosen in the proposed optimiza-
tion. Three additional algorithms based on consistency were also included in the
optimization, namely T-Coffee [I8], FSA [3] and ProbCons [7]. Finally, other
two MSA tools using additional biological features (3DCoffee [19] and Promals
[21]) were added.

Therefore, as BAIiIBASE is composed by 218 sets of sequences, these methods
will provide a total of 2180 alignments to evaluate. In addition, the gold standard
alignments from BAIIBASE will also be included. The proposed algorithm will
consequently be assessed by a set of 2398 alignments.

2.3 Feature Extraction and Feature Selection

The goal of this evaluation algorithm is to provide a set of biological features to
enrich current MSA evaluations. Features related to the BAIIBASE sequences
and their alignments were extracted from well-known biological databases: Pfam
[10], PDB [2], Uniprot [I] and Gene Ontology (GO) [4]. Such databases were
consulted to obtain useful data which enrich the sequence information, building
a complete set of features. For instance, we added information about the number
and length of sequences, secondary an tertiary structures in proteins, chemical
properties of amino acids (AAs), protein domains or percentage of identities.
This algorithm also included some of the most known evaluation systems, such
as BLOSUM62 [11], PAM250 [5], RBLOSUMS62 [22] or STRIKE [14]. The final
dataset was composed by 22 features (See summary in Table[I]).

Additionally, the importance of these features to evaluate alignments was
analysed by a feature selection approach. The feature selection allows reducing
the number of features, trying to avoid the redundant or less relevant informa-
tion. In this case, this procedure was performed by using the Normalized Mutual
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Information Feature Selection (NMIFS) approach [9]. This approach is based on
mutual information (MI) in order to measure the quality of each feature. The
MI indicator is able to detect the relationship between features and it is totally
independent of the space transformation. Therefore, the most relevant biological
features according to the NMIFS procedure were chosen to be included in the
subsequent LS-SVM algorithm.

2.4 LS-SVM Approach

The proposed alignment evaluation was designed by a Least-Square Support
Vector Machine (LS-SVM) model in terms of the previously extracted biolog-
ical features. LS-SVMs are redesigned from standard support vector machines
(SVMs), but applying a cost function based on least squares [23]. LS-SVMs can
be used for prediction algorithms, but they have proved to be specially effective
for regression problems. Since this algorithm aims to determine the accuracy
of each alignment similar to the BAliscore provided by BAIIBASE, a regres-
sion problem is being formulated. Therefore, the application of a LS-SVM was
a suitable and faithful solution.

In addition, the proposed algorithm included a kernel based on the Radial
Basis Function (RBF). Two hyper-parameters were then optimized in this ap-
proach: the kernel width and the regulation parameter. Such hyper-parameters’
optimization was performed by using cross-validation. The LS-SVM algorithm
was developed with the Matlab toolbox found in [6]. Finally, the LS-SVM eval-
uation algorithm was assessed by another 10-fold cross-validation procedure.

3 Results and Discussion

The proposed algorithm aims to obtain an accurate evaluation of alignments,
trying to be similar to the BAliscore provided by BAIIBASE, but without using
gold standard references. As described above, the ten selected methodologies
were firstly run for the 218 sets of BAIiIBASE in order to obtain a total dataset
of 2398 alignments (10 alignments and the BAliBASE reference for each set of
sequences). Subsequently, the 22 biological features related to the alignments
and their sequences were retrieved from databases such as PDB, PFam, Uniprot
and GO.

In order to select a subset of highly related features, the NMIFS procedure
provided a ranking according to the feature significance with respect to the
BAliscore (see 'Rank’ column in Table [I]). As shown by this ranking, the most
significant features were usually scores (STRIKE, PAM and BLOSUM), but
also some matches (similarities between sequences) of biological features such
as domains, 3D structures or amino acid (AAs) types. Taking this ranking into
consideration, an additional feature was progressively included in the LS-SVM
evaluation algorithm to determine the optimal subset of features. As shown in
Figure [[I the mean relative error (MRE) in the proposed evaluation decreases
till reaching a subset of 16 features, where the error value is minimal. Therefore,
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Fig. 1. Error evolution according to the number of features included in the LS-SVM
algorithm. Both training and test errors by using a 10-fold cross-validation are shown.
This error, called Mean Relative Error (MRE), is an average of the relative error in
percentage.

it is not necessary to include the full dataset of features, as the minimal error
can be accomplished with the 16 most relevant features. Then, this subset of 16
features was chosen to be included in the evaluation algorithm.

Subsequently, the LS-SVM approach was trained by using these 16 features
and applying a 10-fold cross-validation procedure for the dataset of 2398 prob-
lems. That is, this dataset was randomly divided into 10 subsets and the LS-SVM
was progressively trained using nine of them. The remaining subset was used to
assess the trained evaluation algorithm. Thus, as this procedure was repeated
10 times for each different subset, an evaluation for each alignment in the full
dataset was retrieved. These obtained evaluations were compared against the
other scores in order to determine if the proposed evaluation had improved the
previously designed scores.

This comparison against other evaluation scores was performed in terms of
two different measures. Firstly, as BAliscore provides an accurate score with re-
gard to the reference alignments, the correlation between different scores and
the BAliscore was calculated. As shown in the Figure Bl and the Table Bl the
alignment scores provided by LS-SVM significantly increased the correlation
with respect to BAliscore. As can be seen, the PAM, BLOSUM and RBLOSUM
scores did not provide any correlation with BAliscore. This could be a relevant
disadvantage to those MSA methods which build their alignments by using such
scores. Otherwise, MUMSA and STRIKE scores showed a quite better correla-
tion but they do not reach the correlation obtained by our LS-SVM approach.
This correlation measure is an useful issue because it could provide an interesting
score to be considered in the building and optimization of alignments.

Additionally, since several alignments were provided for the same set of
sequences (11 different alignments), a pairwise comparison of alignments was



Evaluating Multiple Sequence Alignments Using a LS-SVM Approach 155

Table 2. Pearson correlation between evaluation scores and BAliscore with respect
to each of the subset in BAIIBASE. The correlation is also shown according to the
BAIiBASE subsets.

RV11 RV12 RV20 RV30 RV40 RV50 TOTAL
STRIKE 0.775 0.516 0.374 0.564 0.597 0.734 0.653
PAM 250 0.112 0.107 0.229 0.345 0.121 0.115 0.148
BLOSUM62 0.136 0.131 0.197 0.230 0.062  -0.118 0.104
RBLOSUM62  0.129 0.130 0.191 0.226 0.061  -0.117 0.101
MUMSA 0.629 0.641 0.749 0.611 0.443 0.717  0.698
LS-SVM Score 0.846 0.761 0.839 0.681 0.765 0.780 0.858
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Fig. 2. Graphical correlation between BAliscore and the remaining evaluation systems

performed in order to know the accuracy of each score deciding which of two
alignments is the best one. The alignment considered by BAliscore as the best for
each pairwise comparison was chosen as the gold standard. Then, this comparison
was calculated according to the accuracy, sensitivity and specificity measures,
obtained for a total of 11990 pairwise comparisons (11 alignments taken in pairs
for 218 sets of sequences). A pairwise comparison was considered true (positive
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Fig. 3. Sensitivity, specificity and accuracy obtained for the pairwise comparison of
alignments for each score scheme. Values are shown according to the BAIiBASE subsets.

or negative) when a specific score scheme agreed with the BAliscore selecting
the best alignment in such comparison. Otherwise, if both scores differed, the
comparison is considered a false negative or false positive.

Therefore, the obtained specificity, sensitivity and accuracy measures for the
provided scores are shown in Figure Bl The alignments were divided into the
BAIIBASE subsets in order to see whether the improvement could depend on
the sequence similarities. As shown in this figure, the LS-SVM evaluation algo-
rithm usually outperforms the remaining scores in the three measures excepting
the STRIKE score. In the case of STRIKE, LS-SVM score is significantly better
for the RV11 subset. This is an interesting finding due to this subset is com-
posed by alignments with less similar sequences and, therefore, it is harder to
obtain accurate alignments in such subset. Thus, as the LS-SVM procedure in-
cluded further biological information, this allowed selecting the most accurate
alignment. Additionally, regarding the remaining subsets of alignments, LS-SVM
was found between the three most accurate scores, obtaining similar values to
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MUMSA and STRIKE. However, taking the previously shown correlations into
account, the provided LS-SVM score in general determined more accurately the
quality associated to these alignments. This score could even be applied in the
future for the optimization of some less accurate alignments or for novel MSA
tools which build alignments according to the provided LS-SVM evaluation.

4 Conclusions

In this work, a novel scoring scheme for multiple sequence alignments has been
proposed. This algorithm takes advantage of several biological sources to built a
dataset of heterogeneous features. Such dataset is used to train a least squares
support vector machine (LS-SVM) which provides an evaluation for each align-
ment according to the extracted biological features. The proposed evaluation
was assessed by using the BAIiBASE benchmark. This benchmark provides an
accurate score, BAliscore, which was used to compare the results of the LS-SVM
approach against other known scores. A significant improvement in terms of the
correlation with the BAliscore was shown. Additionally, the accuracy obtained
when pairwise alignments were compared was calculated. In this case, the LS-
SVM score showed similar results as MUMSA or STRIKE. However, our score
outperformed them in the RV11 dataset, where alignments are harder to align
due to more distant sequences. For this reason, the LS-SVM score can be con-
sidered an adequate evaluation scheme in order to be applied in future MSA
methodologies.
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Abstract. The reception of vibrations is a special sense of touch, impor-
tant for many insects and vertebrates. The latter realize this reception
by means of hair-shaped vibrissae in the mystacial pad, to acquire tactile
information about their environments. The system models have to allow
for stabilizing and tracking control while nevertheless being able to de-
tect superimposed solitary excitations. Controllers have to be adaptive in
view of both the randomness of the external signals to be suppressed and
the uncertainty of system data. We presents mechanical models and an
improved adaptive control strategy that avoids identification but renders
the system sensitive.

Keywords: Vibrissa, tactile sensor, mechanical model, adaptive
control.

1 Motivation

In addition to their visual and auditory sense, mice and rats use a sophisticated
sensory system to acquire tactile information about their surroundings. They
employ a sophisticated tactile sensory system for this purpose: hair-shaped vib-
rissae or whiskers. The tactile hairs are located in the mystacial pad, are either
used passively to sense environmental forces (wind, contact with an obstacle) or
actively, when they are rhythmically moved to scan objects or surfaces. Disre-
garding different types of such sensors we set up various mechanical models of a
single vibrissa/whisker to describe their modes of operation (passive and active
vibrissae): vibrissae are either used passively to sense environmental forces, e.g.,
wind, or actively, when they are rhythmically moved to scan objects or surfaces
(“whisking”).

The tenor of our investigations is from biomimetics. The main focus is not
on “copying” the solution from biology/animality, rather on detecting the main
features, functionality and algorithms of the considered biological systems to im-
plement them in (here: mechanical) models and to develop ideas for prototypes.
For this, a well-founded analysis of the biological paradigm (e.g., anatomy, func-
tionality of a vibrissae) is important, mostly guaranteed by means of an intensive
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and critical literature study. Then a implementation of these specific characteris-
tics of the vibrissa is needed for the detection of useful information in challenging
surroundings in a mechanical model.

The global goal is not to construct prototypes with one-to-one properties of a
vibrissa, rather the models shall exhibit its main features, which shall be easier
to handle as the ones from literature.

2 The Biological Paradigm

2.1 Anatomy

The vibrissa itself (made of dead material) is mainly used as a lever for the force
transmission. But, in contrast to ordinary hairs, vibrissae are stiffer and have
a hollow conical shape, [31]. The mystacial vibrissae are arranged in an array
of columns and rows around the snout, see Fig. [[l [3I]. Each vibrissa in the
mystacial pad is embedded in and supported by its own follicle-sinus complex
(FSC). The FSC is characterized by its exceptional arrangement of blood vessels,
neural connections and muscles, see [9] for a schematic drawing. It is assumed
that the rodents can control the viscoelastic properties of the vibrissa’s support
by regulating the blood supply to the sinus (like a blood sac), [7].
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Fig. 1. Schematic drawing of the mystacial pad, [31]

The musculature is divided in extrinsic and intrinsic ones, see Fig. 2l

2.2 Functionality

The functionality of these vibrissae vary from animal to animal and is best
developed in rodents, especially in mice and rats, [19]. In the following we discuss
the various elements of the FSC and their important properties for the reception
of vibrations.

1. Mechanoreceptors: The detection of contact forces is made possible by the
pressure-sensitive mechanoreceptors in the support of the vibrissa, see Fig.[3l
These mechanoreceptors are stimulated due to the vibrissa displacements in
the FSC. The nerves (see Fig. [) transmit the information through several
processing units to the CNS. The receptor cells offer the fundamental prin-
ciple ‘adaptation’.
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2. The vibrissa returns passively to the initial position through the fibrous
band.

3. Intrinsic and extrinsic musculature: The vibrissae can be moved either pas-
sively (e.g., by wind), or actively through alternate contractions of the in-
trinsic and extrinsic muscles, see Fig. [2I The resulting rhythmic pro- and
retractions of the vibrissa, called whisking, are used to scan surfaces and
objects. Relevant information can be perceived by adjusting the frequency
and amplitude of the oscillation to each task. By observing rats accom-
plishing several tasks, [4] could distinguish two main whisking patterns:
exploratory whisking,i.e., rodents explore their environment with large
amplitude sweeps in a low frequency (5—15 Hz) range, and foveal whisking,
i.e., rodents palpate object surfaces with small amplitude, high frequency
(15 — 25 Hz) movements.

Summarizing, the complex FSC- and muscle-system enables the rodents to use
their vibrissae in two different ways (modes of operation): In the passive mode,
the vibrissae are being deflected by external forces (e.g., wind). They return to
their rest position passively — thus without any muscle activation. In the active
mode, the vibrissae are swung back- and forward by alternate contractions of
the intrinsic and extrinsic muscles. By adjusting the frequency and amplitude
of the oscillations, the rodents are able to investigate object surfaces and shapes
amazingly fast and with high precision, [16].

How the animals convert these multiple contacts with single objects into co-
herent information about their surroundings is still unclear.

2.3 Control Strategies

Every biological sensory system has the ability to constantly adapt its sensitivity
to its current environment in a way that enables it to distinguish the relevant
information from the multitude of negligible stimuli (— adaptive system). Several
control strategies enhance the relevance-oriented stimulus processing;:

— a feedback loop (closed-loop control system) enables the rodents to imme-
diately react to an object contact: they slow down the concerned vibrissae,
diminishing the occurring wear-out effect on the hair, [21], [22],

— depending on the mode (passive or active) and the expectations of the ro-
dent, the neuron’s reaction is being suppressed, enhanced or left unaltered,
[61, [51, [10l,

— the rodents can probably modify the stiffness of the vibrissa support by
varying the pressure in the blood-sinus, [7], and by doing so, specifically
alter the properties of the vibrissa in motion.

Therefore, this biological sensor system is highly interesting for applications in
the field of autonomous robotics, since tactile sensors can offer reliable informa-
tion, where conventional sensors fail (in dark, smoky or noisy environments).
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3 State of the Art in Modeling

Since the author in [27] tried to determine the position of a robot arm with
vibrissa-like sensors (made of guitar strings), the demand for technical vibris-
sae grew steadily. In the meantime, these tactile sensors often complement or
even replace optical sensors (as mentioned above) in their two main fields of
application: flow measurements in micro technology and autonomous robotics.
Especially in the latter field, technical vibrissae are currently just used to avoid
collisions (merely used as contact sensors with a binary output, [25]). In the last
decade, the number of scientific works in which the capabilities of the tactile
sensors were improved, grew significantly. As in 1996 the development of robots
equipped with artificial vibrissae and driving along walls, see [18], was seen as a
considerable achievement, the recently developed robots with a similar configu-
ration managed to distinguish objects on the basis of their surface texture ([I1],
[29], [33], [12], [24]), or to determine form and position of nearby objects, [28§].

In the majority of papers found in literature, the development of innovative
technical whiskers was based on analytical investigations of mechanical models
of vibrissa. In order to analyze the mechanical and especially the dynamical
behavior of the vibrissa, the physical principles of the paradigm have to be
identified and to be modeled. Usually two types of models are used to analyze
the mechanical behavior of the vibrissa: rigid body models or continuum models.

There are a lot of sophisticated rigid body models in literature, we mention
an excerpt: A model of the FSC is considered in [20] and [22]. A model of a
single vibrissa with the neighboring muscle-systems are investigated in [4]. In
[17] the authors developed a mechanical model of the vibrissa, focussing on the
relationship between the various muscle contractions and the resulting vibrissa
motion. Furthermore, three vibrissa / follicle units, linked by spring and damping
elements, were incorporated in the model so that the influence of the intrinsic
muscle slings on their neighboring follicles could also be considered. The authors
in [23] set up a model for the stimulus transmission. The model consists of two
parts — the mechanical part has components representing the vibrissa shaft from
stimulus contact point to base, and internal components of FSC. The electrical
(control) part is given therein as a Simulink flow chart.

A more detailed overview is given in [I]. The most of these models exhibit a
high complexity due to the goal of an exact modeling of the biological paradigm
as possible, see [14] and [15] for complex models of a complete vibrissa row and
neighboring tissue.

Our global goal is to present models more transparent and to use more
stringent mechanics and mathematical analysis to exploit them. The goal is
not to recreate an exact copy of the biological system, but to implement in
a mechanical model the specific characteristics of the vibrissa needed for the
detection of useful information in challenging surroundings (principle goal of
theoretical bionics). We point out, that we focus on a single vibrissa and
not on a tuft of various vibrissae. Therefore, these models can be transferred to
model a carpal vibrissa (i.e., vibrissa at extremities in mammals), too.
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4 Modeling and Control

4.1 Model with Single DOF

A first model of a single vibrissa serves as the level of stimulus reception. The
center of rotation of the thin rod-like vibrissa lies at skin level, a viscoelastic
element located beneath it, represents the compliance of the FSC, see Fig[

F()

M, (1)

|

P—vwwwy —)—<Q

¢ d

Fig. 4. Mechanical model of a vibrissa: d - viscous damping coefficient, ¢ - spring
constant, m - mass of the rod, L - length of the rod, F(t) - disturbing force,
M, (t) - control torque

The equations of motion are:
Joz () = (L — ) F(t) cos (o(t)) — ¢L; cos (p(t)) sin (p(t))
—d L p(t) cos? (p(1)) + (5 — L) mgsin (o(t)) + M (t).

The ability of the rodents to either stabilize or swing their vibrissa actively, was
implemented with a control torque M, (t) (calculated due to the feedback law
of the following adaptive high-gain controller):

e(t) = o(t) — prep(t)
M.,(t) = [()()+Hk(2)'()]
(|le@®)|| — A) ,1f|| ||>>\+1 v (2)
i(t) = 7(!\6 H—) AL +1) > le(®)]| = A
, lf( ()\</\) (t—tp <tq)
—ok(t), if ([le(®)|] <A)A({t—tg>tq)

This adaptive control algorithm (2]) (improved one compared to the ones in [2]
and [3]) has the ability to compensate unknown disturbance forces in the passive
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as well as in the active mode: the rod-like vibrissa follows the reference signal
@ref Within the margin of tolerance A (i.e., A-tracking). This is similar to the
rodents reaction: they suppress the perception of a bothering permanent vibrissa
deflection (here: keeping the motion of the rod in the A-tube), while still staying
sensitive for an interesting sudden deflection.

4.2 Simulation of the Single Vibrissa Model

Now, we choose the following parameters matching the biological paradigm, see
[17] and [1]:

— vibrissa: m = 0.000003kg, ¢ = 5.7 N ¢ = 02N5 I — 0.04m, a = & =
0.004m, ((0),$(0)) = (0rad,0™ad);

— environment: ¢ — F(t) = 0.1 cos(t) + 2e~ (=20 N which represents a
(small) permanent oscillation with a gust of wind, and g = 9.81 gzl;

— Mtracker @): A =0.2~0.0647, v=150,0 =0.2,ty = 1s and ko = 0;

— reference signal to be tracked:
The active mode has to be implemented with reference signals performing
periodical oscillations enabling the rod to either explore its surroundings or
to scan specific objects — and since rodents use two different kinds of os-
cillations depending on the task, the exploratory and foveal whisking are
simulated by two different reference signals. Rodents employ large ampli-
tude sweeps in a low frequency range (5 — 15Hz) to investigate their envi-
ronment. As the range of movement of the biological vibrissa amounts to
ca. 100° = 1.74rad, the amplitude of the exploratory reference signal (B
can be chosen to A = '7* ~ 0.8 rad. The frequency of the signal ¢,¢s1(t)
has been set to f = 5Hz according to the findings in [4]. Foveal whisking
has been implemented with the reference signal (@), using an amplitude of
A =0.2rad = 12° and a frequency of f = 25 Hz, since rodents scan specific
objects with small amplitude, high frequency movements (15 — 25 Hz).

t = @refp1 (t) = 0.8 sin(2w 5¢) rad exploratory whisking (3)
t = Qrepa(t) = 0.2 sin(27m 25¢) rad foveal whisking (4)

Applying controller (@), we simulate the vibrissa in active mode 1, i.e., we A-
track reference signal (). We obtain the results presented in Fig. Bland[6l Here,
one cannot clearly see the advantage of two alternating exponents in observing
the excitation peak in the gain parameter. We have a good tracking result. The
gain parameter k(-) increases very fast in the beginning of the simulation. This
is due to the “switching on” of the controller. It forces e fast into the tube at
cost of a high k. The gain k(-) immediately decreases after a t4-stay of e in the
tube, see Fig. Bl The error e is forced back into the A-tube very fast because of
the modified adaptation rule. This is on the expense of a tolerable overshooting
of k at the beginning.
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4.3 Models with Higher DOF

The considered single rod-like vibrissa with DoF = 1 is not sufficient to model
the complex behavior of the animal vibrissae. We should increase the DoF' in the
following. Three innovative mechanical models with a stiff, rod-like vibrissa are
being developed, see Fig.[[l The degree of freedom (DoF') is being successively
increased from 1 to 3, to investigate the impact of different supports on the
sensory capabilities of the system.

In model 1 the rod has one rotational degree of freedom: the angular deflec-
tion ¢(t). The control torque M, (t) simulates the rodent’s ability to regulate
the deflection of the vibrissa by means of their intrinsic musculature. In model
2A the rod has, in addition to the rotational, a linear degree of freedom: the
lateral translational motion of the pivot point (following the information found
in [4] and [I7]). A control force F',;(t) simulates the rodent’s ability to alter the
position of the pivot point through contractions of the extrinsic musculature. In
model 2B the rod has two degrees of freedom as well: the angular deflection
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Fig.7. Innovative mechanical models with a rigid, rod-like vibrissa, (z: lateral
direction, y: longitudinal direction)

as in the models 1 and 2A, and a longitudinal translational motion of the vib-
rissa. A control force F',,(t) determines the longitudinal position of the pivot
point. This force is not simulating any natural musculature. In model 3 the
models 2A and 2B are being combined, thus the rod possesses three degrees of
freedom, which enables it to perform a rotatory deflection, as well as lateral and
longitudinal displacements.

The implementation of the linear degree of freedom in the longitudinal di-
rection is based on findings in [I3], revealing that vibrissae experience consid-
erable forces in longitudinal direction when touching an object. Furthermore,
the authors in [30] found out that the rodent’s neurons react strongly to the
longitudinal displacements of the vibrissa — which leads to the assumption that
they provide relevant information about their environment.

The examined mechanical models all meet the basic requirements for high-
quality sensor systems: they react with sensitivity to occurring disturbance
forces, the response time is short, and the disturbance force can be identified.
Still the performances of the models differ greatly from one another, especially
with respect to the force identification. The steady increase of the DoF from
model 1 (DoF = 1), via models 2A, 2B (DoF = 2) to model 3 (DoF = 3)
revealed the significant benefits of the respective direction of motion. Thus, al-
though the enhancement of model 1 with a translational DoF in z-direction
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led to an improvement of the sensibility in model 2A, the additional DoF' in y-
direction was by far more relevant for the identification of the disturbance force:
in model 2B the force can be identified in the passive, as well as in the active
mode — and this for angles of attack reaching from 0° to 90°. Yet the positive
characteristics of the models 2A and 2B could not be fully united in model 3:
the interaction between the translational displacement in x with the angular
deflection ¢ impeded, especially in the active mode, the identification of the
disturbance force. While the models 1 and 2A are only suitable for applications
with forces acting mostly horizontally, the models 2B and 3 can also provide
reliable information in widely unknown surroundings. Furthermore, model 2B
can be used in the passive, as well as in the active mode.

5 Conclusion and Outlook

The goal of this work was to present the theoretical context needed to examine
the mechanical and in particular the dynamical characteristics of the biological
vibrissa. Moreover, these theoretical aspects were to be interpreted with respect
to the biological vibrissa, as well as for a technical implementation of it. In-
spired by this biological sensory system, several types of mechanical models were
developed based on findings in the literature.

The focus was on rigid body systems. At the beginning, a single vibrissa sys-
tem consisting of one rigid rod was investigated. The investigations have shown
that adaptive control is promising in application to vibrissa systems: it allowed
to describe the two main modes of operation of vibrissae — passive and active
one. We switched back to the analysis of a single vibrissa and increased its DoF'.
We presented three models with a stiff rod-like vibrissa, taking into account the
viscoelastic support in the mystacial pad (FSC and skin). The muscles (extrinsic
and intrinsic) enabling the animals to whisk actively were simulated by adap-
tive control algorithms. Numerical simulations with chosen perturbation forces
showed that specific control variables contain adequate information on the force
to be identified.

Nevertheless, all models offer the drawback that they consist of one rigid
element. One may think of object localization, in this case the rigid body may
break or get locked. Hence, further and present investigations are directed to
more compliant vibrissa systems: first to rigid multi-body systems and, second
to continuum systems (e.g., beams).
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Abstract. A new approach to continuous authentication is presented.
The method is based on a combination of statistical decision machines
for brain signals. Functional Near InfraRed Spectroscopy (NIRS) is used
to measure brain oxyhemoglobin changes for each subject to be authen-
ticated. Such biosignal authentication is expected to be a viable com-
plementary method to traditional static security systems. The designed
system is based on a discriminant function which utilizes the average
weight vector of one-versus-one support vector machines for NIRS spec-
tra. By computing a histogram of Mahalanobis distances, high separabil-
ity among subjects was recognized. This experimental result guarantees
the utility of brain NIRS signals to the continuous authentication.

Keywords: Continuous authentication, brain activities, NIRS, SVM.

1 Introduction

Continuous authentication is a method to identify uninterruptedly whether a
subject is an eligible person or not. On the other hand, traditional authenti-
cation methods are static or one-time by using a password, a PIN (Personal
Identification Number), an electro-magnetic card or a physical key. Such static
authentication does not consider the weakness to impersonation at all. There-
fore, a combination of both methods is expected to realize a better authentication
system to the rapidly sophisticated and convolved ICT world.

For the continuous authentication, it is considered that biosignals can match
well to its system configuration [I]. In this paper, we discuss a continuous au-
thentication method which uses brain signals. This motivation is based on our
observations on BMI (Brain Machine Interface) up to now [2], [3]:

(1) NIRS patterns of brain signals were applicable to generate BMI commands.
(2) The brain patters were dependent on subjects.
(3) This individuality appeared as temporal patterns.

In addition to such a technological applicability, we can find situations where
the continuous authentication by brain signals are useful:

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 171-[[30] 2013.
(© Springer-Verlag Berlin Heidelberg 2013
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(a) To a superuser of a computer system, an operating system periodically re-
quests to type in a‘“sudo password.” This is quite cumbersome since the
interval is usually set short. If the period is set too long, it undermines the
system security because of the possibility of the impersonation. In such a sit-
uation, a continuous authentication combined with a crisp one-time method
is ideal.

(b) After an allowed usage of a special-purpose vehicle by a static authentication
it becomes necessary to prevent impersonated operators. Periodic sudo-like
authentication during the operation would lead to an accident in such a
situation.

(c¢) Driving a utility car also gives a situation where a continuous authentication
is helpful. In addition to the impersonation, this case includes a detection
of a driver’s abrupt change from a normal state. Daily use of a motor cycle
shares this case since an operator’s helmet can be a wearable gear for the
signal detector.

Since brain signal’s measurement devices have become more compact with less
prices, BMI with continuous authentication will be more ubiquitous in our daily
life. By understanding this trend, we selected a NIRS machine (Near InfraRed
Spectroscopy). This system gives brain oxyhemoglobin changes which are less
susceptible to ambient noises than EEGs (ElectroEncephaloGrams). Also, the
total device is compact.

The organization of this paper is as follows. In Section 2, basic properties
of the NIRS for BMI are explained. In Section 3, preprocessing and the main
recognition method using a set of machine learning strategies are explained.
In Section 4, experiments based on an averaged SVM weight vector from NIRS
spectra are conducted. Results measured by Mahalanobis distances show promis-
ing separability of a subject from others. Section 5 gives concluding remarks to
further sophistications of the system.

2 Near InfraRed Spectroscopy and Brain Activity
Measurement

2.1 NIRS Machine

There are several types of NIRS machines for the brain signal measurement. For
this paper’s continuous authentication, we used NIRO-200 [4]. Among possible
measurements, oxyhemoglobin changes of subject’s local areas of brains will be
used in later experiments. This is a set of time series expressed by AO; Hb M.

Figure 1 illustrates a monitor of the NIRS machine (left bottom corner) as
well as two subjects. An actual shape of a probe can be seen from the left subject.
The right subject, who is under an actual task of typing, wears a head belt so
that unnecessary optical noise is avoided. As can be observed form this figure,
the restraint to the subject is moderate.

The NIRS sampling frequency is 6 Hz due to this machine’s capability. This
speed is not very fast but it is appropriate to the continuous authentication.
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Fig. 1. Brain NIRS measurement under typing

In contrast, EEG machines accept sampling of much higher frequencies. But,
EEG is easily contaminated by ambient noise like fluorescent illumination and

eye blinking.

2.2 Data Collection

By considering that the NIRS measurement is a class of optics, outdoor mea-
surements under strong sunlight were avoided. Instead, subjects were seated in

a room under fluorescent light (see Figure 1).
Methods to obtain training data and test data are explained by using numbers

specified in Table 1.

Table 1. Numbers appearing in data collection

symbol explanation number
S number of subjects 10
2K number of measurements per subject 40
M total number of NIRS time series M=2KS=400
N number of samples in a time series 60 (10 seconds)
L number of reduced dimensions (N/2)/3=10

Training and test data sets for the continuous authentication system to be
designed were collected as follows.

Subjects: S = 10 sound male and female students of twenties are subjects.

Tasks: Each subject operates typing a keyboard.

Data set: One sample data is a one-dimensional NIRS time series of 10 seconds
out of a 60 second typing. Each subject gives 2K = 40 data sets. Half of them
is used for the training in machine learning. The rest is used for performance
testing. Thus, there are M = 2K .S = 400 time series of brain NIRS prepared.
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Each data set has a label of a subject’s name which is not used for the
authentication per se.

3 Recognizer: Learning Phase

The recognition in this paper indicates a decision that each data supplier is
correctly identified to be eligible or not.

3.1 Recognizer Design

NIRS data are time series. But, our preliminary observation indicated that a
combination of low frequency periodicities, which are not affected by power
supply frequencies (50 or 60 Hz), can convey each subject’s individuality very
well. Therefore, we set the signal essence to be a set of spectra.

Let {z(n)}=; be an NIRS time series from a subject. The number of samples
is N = 60 (1 channel, 6 fps, 10 seconds). Then, the total recognizer consists of
the following 6 steps. Figure 2 illustrates a path from a brain NIRS signal to the
end of the machine learning steps.

C F> NIRS signal/ \

\ - windowing
A/D

power spectral density

noninvasive —
brain signal normalization
measurement

| |
| |
(NIRS) ‘ logarithm ‘
| PCA |

SVM for each data set

v average weight vector
with binary label j

Fig. 2. Learning of the average SVM weight vector

%

Each step is explained as follows.

Step 1: M/2 labeled sample time series for training are selected. One of such
time series is denoted by {z(n)})_}. This set is multiplied by a Hamming

window [5]. This modified time series is re-denoted by {z(n)}N=1.
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Step 2: The time series is transformed to {X (m)}_} by FFT (Fast Fourier
Transformation). Actually, N/2 FFT points contain non-overlapping
information.

Step 3: Compute the logarithm of normalized power spectrum.
X (m)?
Sile Tt X (@)
Then, we regard this series as an N/2-dimensional vector v. Since there are

K = 20 training data with the same subject label, this vector is re-denoted
by vg, (k=0,---, K —1).

Step 4: Using K sample vectors {vk},fgol, the vector dimension of N/2 = 30 is
reduced to L = (N/2)/3 = 10. That is, the following Principal Component
Analysis (PCA) [6] is conducted.

U = log (m=0,---,N/2—1). (1)

K-1
m = v /K, (2)
k=0
K-1
C=) (vp—m)(vy —m)"/K, 3)
k=0
Ep =col(er, --,e, -, er), 4)
V = ETL. (5)

Here, Ej, is the orthonormal matrix of the first L eigenvectors of C' in its
descending order. There is no need of sphering in Equation (5). By using
these matrices, a set of reduced dimensional vectors is computed.

zr=Vuog, (k=0,---,K—1). (6)

The above PCA procedure was introduced to defend against over-fitting.
Preliminary experiments supported this necessity.

Step 5: Given a training data set of {zk}kK:_Ol, a weight vector w of a support
vector machine [7] is computed.

yp=wlzp +b, (k=0,---,K—1). (7)

Here, each weight vector w is computed against impersonated subjects.

Step 6: Re-denote each weight vector by wg, where s is an index for each
subject. Then, the average weight vector is computed.

W= > wy/SK. (8)
seES keK

Note that the average of SVM biases is not needed in the discriminant anal-
ysis in experiments. Therefore, the bias is set to zero.
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Before closing this subsection, we give a set of reasonings for the choices
appearing in the above algorithm steps.

Hamming window:
This windowing is a standard method to reduce unnecessary spectral side
robes appearing in the case of the rectangular window. There was very little
difference between the Hamming and other windows.

Selection of L:
Any integer of 5 < L < 20 was applicable, which reflects the following
observations.

(1) The maximum of L is 30 since the number of the spectral points is 60.

(2) The number L needs to be reduced because there is a learning phase for
the recognizer design.

(3) The case of L =5 can contain more than 90% of the total power.

(4) The choice of L may affect the shape of the separating hyperplane. But,
the case of the SVM is less sensitive than those of the linear discriminant
analysis and the ridge regression.

The choice of L = 10 resulted from preliminary experiments guided by the
above reasons.

3.2 Recognizer: Test Phase

After the learning phase, the learned vector w is applied to estimate the subject’s
matching.

N-1
n=0

Step 1: A test data of unknown subject {z(n) is given.

Step 2: VIw is computed. After discarding unnecessary components,

a dichotomy decision based on the Mahalanobis distance to clusters is
conducted.

4 Experiments for Performance Evaluation

4.1 Weight Vector

As was explained in Section 2.2, K = 20 training data were given from each of
S = 10 subjects. Figure 3 illustrates the resulting weight vector VZ@. In this
figure, the horizontal axis stands for N/2 = 30 column positions of the average
weight vector which correspond to spectral frequencies. The vertical axis specifies
each column’s magnitude which does not have a unit. One can observe from this
figure that the spectral range of 0.5 ~ 1.5 Hz is responsible for the separation
ability among subjects.
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Fig. 3. Learned average weight vector

4.2 Cross Validation

Since there are K = 20 test data sets for each of S = 10 subjects, we can measure
the performance of the average vector w by using S-fold cross validation. The
collection of margins which decides whether the subject is the right person or not

100 150 200
! | |

Occurrence

50

Mahalanobis Distance

Fig. 4. Mahalanobis distance for identification
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can give a histogram. We illustrate this result by computing the Mahalanobis
distance. Figure 4 illustrates the result in view of a histogram. The horizontal
axis stands for the Mahalanobis distance. The vertical axis is the total number of
subjects reflecting the result of the authentication. There are two clusters in this
figure. The left distribution with a sharp peak is the collection of results that the
input data was identified to be a rightful subject’s one. The right distribution
which is more flat specifies cases that the measured data came from different
subjects.

4.3 FNMR-FMR Rate

Figure 4 is quite appealing that the continuous authentication system of Figure
2 is effective. But, we need more confidence that this system deserves to be a
practical one. This can be verified by a curve of the FNMR-FMR (False Non-
Matching Rate versus False Matching Rate):

FNMR(t) = /t T o(s)ds ©)

FMR(t) = t Fr(s)ds (10)

Smin

Here, fg(s) is the genuine distribution form right persons. fr(s) the impostor
distribution from illegal persons. The region of integration is

Smin S t S Smax- (11)

100
!

80

[%]

40

20

0 2 4 6 8

Mahalanobis Distance

Fig. 5. FNMR-FMR curve for performance identification
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Figure 5 is the resulting FNMR-FMR curve by sliding a threshold ¢ on the
horizontal axis of Figure 4. The vertical line around the crossing of two curves
specifies the EER (Equal Error Rate) which is the position that

FNMR(1.6) = FMR(1.6) = 0.0035 = 0.35%. (12)

This means that more than 99% of the continuous authentication was successful.
By observing Figure 5 and Equation (12), one finds that this paper’s system of
Figure 2, which is based on the NIRS, outperforms by far than other brain signal
based systems [g].

Before closing this section, it is necessary to explain the effect of tasks forced
to subjects. Figures 4 and 5 were with a task of typing a keyboard. In addition to
this experiment, we measured the authentication of no-task subjects. Its resulting
histogram showed strong similarity to Figure 4. A little difference was that the
two sharp peaks become a little bit more flat having longer tails. This means
that the designed continuous authentication system by the NIRS signal is robust
against “task-and-rest.”

5 Concluding Remarks

There will be further sophistications on the system of Figure 2 so that the
performance appeared in Figure 4 and Figure 5 can be improved more.

More NIRS probes: Increasing the number of probes is a promised perfor-
mance improvement, provided the total system remains within a moderate
price.

Utilization of nonlinear kernels: In this paper, we aimed at the lightest
system. Therefore, methods of the machine learning and the test were all
linear except for the logarithm on the power spectrum. Although the results
described in Figures 4 and 5 were satisfactory as a baseline trial, an inclusion
of nonlinear mechanisms can improve the performance. It is a use of nonlinear
kernels in PCA and SVM.

ICA after PCA: In the designed system of this paper, a process of PCA
was included. But, PCA coordinates are forced to be orthogonal. Because of
this restriction, ICA (Independent Component Analysis) gives better non-
orthogonal coordinates. For this type of systems, the coordinate comparison
method, which overcomes the axis ordering indeterminacy of ICA [9], and
the rapid computation method [I0] will become essential.

Dynamic Continuous Authentication: The learned average weight vector
of Figure 3 may be tuned up by including the data while a genuine subject
is operating a target system.

Attaining 100% Authentication: In any authentication by human biosig-
nals, FNMR and FMR of Equations (9) and(11) always exist. But, by

allowing repeated recognition with an appropriate threshold, the final au-
thentication rate can approach to 100% from this paper’s EER of 99.65%.
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Abstract. Screening femoral neck osteoporosis is important to prevent fractures
of the femoral neck. We developed machine learning models with the aim of
more accurately identifying the risk of femoral neck osteoporosis in postmeno-
pausal women and compared those to a conventional clinical decision tool, os-
teoporosis self-assessment tool (OST). We collected medical records based on
the Korea National Health and Nutrition Surveys. The training set was used to
construct models based on popular machine learning algorithms using various
predictors associated with osteoporosis. The learning models were compared to
OST. Support vector machines (SVM) had better performance than OST. Vali-
dation on the test set showed that SVM predicted femoral neck osteoporosis
with an area under the curve of the receiver operating characteristic of 0.874,
accuracy of 80.4%, sensitivity of 81.3%, and specificity of 80.5%. The machine
learning methods may be effective tools for identifying postmenopausal women
at high risk for osteoporosis.

Keywords: Screening, machine learning, risk assessment, clinical decision tool,
support vector machine.

1 Introduction

Fracture due to osteoporosis is one of the major factors of disability and death in
elderly people [15]. According to the World Health Organization (WHO) report, fe-
moral neck osteoporosis was the best predictive factor for fracture risk and the most
common fracture site was proximal femur [8]. Osteoporosis is common in postmeno-
pausal women but is asymptomatic until a fracture occurs. WHO estimates that 30%
of all postmenopausal women have osteoporosis, which is defined as bone mineral
density (BMD) 2.5 standard deviations below the young healthy adult mean
(T-score<-2.5) [8]. Dual X-ray absorptionmetry (DEXA) of total hip, femoral neck,
and lumbar spine is the most widely used tool for diagnosing osteoporosis. However,
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by the Korea government (MEST) (No. 2012R1A2A2A03045612).
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mass screening using DEXA is not widely recommended for evaluating BMD as it is
expensive and hazardous due to X-ray radiation [16]. Therefore, selecting patients for
DEXA is an important task for cost-effective screening for osteoporosis.

A number of epidemiological studies have developed clinical decision tools for os-
teoporosis risk assessment to select postmenopausal women for the measurement of
BMD. The purpose of these clinical decision tools is to help estimate the risk for
osteoporosis, not to diagnose osteoporosis. The osteoporosis self-assessment tool
(OST) is one of the clinical decision tools, which is a simple formula based on age
and body weight [10]. Although OST uses only two factors to predict osteoporosis
risk, it has been shown to have good sensitivity with an appropriate cutoff value [19].
However, the decision tool has the limitation of low accuracy for clinical use [18].

Machine learning is an area of artificial intelligence research which uses statistical
methods for data classification. Several machine learning techniques have been ap-
plied in clinical settings to predict disease, and have shown higher accuracy for diag-
nosis than classical methods [7]. Support vector machines (SVM), random forests
(RF), and artificial neural networks (ANN) have been widely used approaches in
machine learning [7].

The SVM is based on mapping data to a higher dimensional space through a kernel
function and choosing the maximum-margin hyper-plane that separates training data
[3]. RF grows many classification trees built from a random subset of predictors and
bootstrap samples [2]. ANN is comprised of several layers and connections which
mimic biological neural networks to construct complex classifiers [6]. Logistic re-
gression (LR) is another machine learning technique. LR is the gold standard method
for analyzing binary medical data because it provides not only a predictive result, but
also yields additional information such as a diagnostic odds ratio [1].

Several studies have shown that SVM, RF, and ANN could help predict low BMD
using diet and lifestyle habit data [5,14,17,22]. Although these studies considered risk
factors, they did not select informative variables that could contribute to osteoporosis.
Moreover, previous studies had no objective comparisons of the performance of os-
teoporosis prediction developed by epidemiological data among the machine learning
methods and clinical decision tools. Therefore, a structural design is needed for con-
structing the models along with a comparative study of various analytical methods for
predicting osteoporosis risk.

In this study, we developed the prediction models for femoral neck osteoporosis
using various machine learning methods including SVM, RF, ANN, and LR. We
compared the performance of machine learning methods and OST using accuracy and
area under the curve (AUC) of the receiver operating characteristic (ROC).

2 Materials and Methods

2.1 Data Source

We collected data from Korean postmenopausal women based on the Korea National
Health and Nutrition Examination Surveys (KNHANES V-1) conducted in 2010.
BMD was measured by DEXA using Hologic Discovery (Hologic Inc., Bedford,



Risk Prediction of Femoral Neck Osteoporosis 183

MA). Patients who were determined to have postmenopausal status were included in
this study. We categorized the postmenopausal women into a control group and an
osteoporotic group with low BMD (T-score<-2.5) at femoral neck.

2.2  Data Analysis

The data were separated randomly into two independent data sets: training and test
sets. The training set, comprised of 60% (1000 patients) of the entire dataset, was
used to construct models based on SVM, RF, ANN, and LR. The clinical decision
tool for screening osteoporosis, OST, was calculated according to its formula. The
prediction models were internally validated using 10-fold cross validation [11]. We
designed the 10-fold cross validation not only to assess performance, but also to op-
timize prediction models using machine learning techniques. We used 10-fold cross
validation on the training set, and the performance was measured on the test set. The
test set, comprised of 40% (674 patients) of the entire dataset, was used to assess abil-
ity to predict osteoporosis in postmenopausal women. Figure 1 shows the overview of
trained machine learning models to predict osteoporosis.

A. Machine Training

KNHANES 2010 Data of Training Validation &
Data Set E> Osteoporosis |:> Machine Learning Optimizing
Health Interview Group SVM Prediction
Surveys RE $ Model
(Demographic Data of ANN 10-fold
Characteristics, |:> Control |:> LR Cross
Past Histories) Group Validation
B. State Classification
Trained
Health Interview Machine Learning
Surveys Dita of S Prediction of]
(Demographic Unknown VM Osteoporosis
Characteristics, Patient RF
Past Histories) ANN
LR

Fig. 1. Overview of models to predict osteoporosis. The flow of training machine learning
models (A) and the flow of state classification with unknown data (B).

2.3  Model Selection and Validation

We used the 10-fold cross validation scheme to construct machine learning models.
The purpose of the machine learning models was to predict osteoporosis risk using the
health interview surveys concerning demographic characteristics and past histories
listed in Table 1. Due to high dimensionality, variable selection was a necessary tech-
nique to make an effective prediction model and to improve prediction performance
[20]. We adopted a feature selection method of wrapper subset evaluation for SVM,
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RF, and ANN [4,7]. Although construction of the classifier has a high computational
loading, wrapper approach can obtain the optimal feature subset by training and test-
ing a specific machine learning model [20]. We determined the order of the variables
with the embedded method of each machine learning method and decreased the num-
ber of variables to determine the best subset using backward elimination [20]. The
remaining features that indicated the highest accuracy in 10-fold cross validation were
the selected subset for prediction. For LR, we used the backward stepwise method for
variable selection.

Data sets in this study were class-imbalanced because the control group contained
significantly more samples than the osteoporotic group. Therefore, it was important to
improve prediction models for the imbalanced data. To obtain the optimal result, we
adopted a grid search in which a range of parameter values were tested using 10-fold
cross validation strategy. We found the best classification model and employed its
parameters for prediction. The optimal model of SVM was found using a Gaussian
kernel function with a penalty parameter C of 100 and scaling factor ¢ of 30. In RF,
the optimal number of trees was 100, and the number of predictors for each node was
3. The optimal ANN was set with 3 nodes of a hidden layer and learning rate of 0.1.

Due to the imbalanced data problem, prediction accuracy might not be a good cri-
terion for assessing performance since the minor class has less influence on accuracy

Table 1. Characteristics of postmenopausal women

Without osteoporosis With osteoporosis
Variable* at femoral neck at femoral neck P-valuet
(n = 1343) (n =331)
Age (years) 61.0+8.7 72.79+8.7 <0.001
Height (cm) 154.2+5.4 149.0+6.1 <0.001
Weight (kg) 58.2+8.3 51.4+8.5 <0.001
BMI (kg/m?) 24.4+3.2 23.1+3.2 <0.001
Waist circumference (cm) 82.5+9.1 80.6+£9.6 <0.001
Pregnancy 4.4+£2.2 5.0£2.5 <0.001
Duration of menopause (years) 12.449.3 24.8+£10.2 <0.001
Duration of breast feeding (months) 53.0+46.5 87.3+58.3 <0.001
Estrogen therapy 256 (19.1) 17 (5.1) <0.001
Hypertension 498 (37.1) 169 (51.1) <0.001
Hyperlipidemia 195 (14.5) 32(9.7) 0.011
Diabetes mellitus 142 (10.6) 40 (12.1) 0.242
Osteoarthritis 344 (24.5) 108 (32.6) 0.007
Rheumatoid arthritis 3929 17(5.1) 0.058
History of fracture 173 (12.9) 66 (19.9) <0.001

* Table values are given as mean =+ standard deviation or number (%) unless otherwise indicated.
T P-values were obtained by t-test and chi-square test.

BMI: body mass index
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than the major class [21]. Therefore, we evaluated diagnostic abilities including not
only accuracy, but also AUC, sensitivity, and specificity.

Sensitivity = TP / (TP + FN) (D
Specificity = TN / (TN + FP) 2)
Accuracy = (TP + TN) / (TP + TN + FP + FN) 3)

e True positive (TP): No. of osteoporotic women correctly identified as osteoporosis.
e True negative (TN): No. of healthy women correctly identified as normal

e False positive (FP): No. of healthy women incorrectly identified as osteoporosis

e False negative (FN): No. of osteoporotic women incorrectly identified as normal
The AUC is known as a strong predictor of performance, especially with regard to im-
balanced problems [13]. To compare the performance of models, we generated the ROC
curves and selected cut-off points as the points on the ROC curve closest to the upper
left corner. We used MATLAB 2010a (Inc., Natick, MA) for the analysis of machine
learning and SPSS 18.0 (SPSS Inc., Chicago, IL) for LR and statistical analysis.

3 Results

Three hundred thirty-one (19.8%) of 1674 postmenopausal women had osteoporosis
at femoral neck. Table 1 shows the characteristics of postmenopausal women
categorized by the presence of osteoporosis. Table 2 summarizes the results of varia-
ble selection used in the machine learning methods. While OST selected only

Table 2. Variable selection in machine learning for osteoporosis risk of femoral neck

Variables Machine learning methods
SVM RF ANN LR

Age (6] (0] (6] (0]
Height O 0} O
Weight O 0} O 0}
Body mass index (6] (6] (6]
Waist circumstance (6]
Pregnancy o (6]
Duration of menopause (6] (6] (6] (6]
Duration of breast feeding (6] (0] (6]
Estrogen therapy (6]
Hypertension (6] (0]
Hyperlipidemia (6] (0] (0]
Diabetes mellitus (6] (0] (6] (0]
Osteoarthritis (6] (0] (6] (0]
Rheumatoid arthritis
History of fracture (6]

SVM: support vector machines, RF: random forests, ANN: artificial neural networks, LR: logistic regression
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two variables to obtain simplicity, the machine learning methods except LR selected
more than 10 variables for better performance. In 10-fold cross validation, we found
that more complex discriminating functions such as SVM and RF showed better
performance than simple linear functions such as LR and OST.

Additionally, to assess the performance of the models for predicting osteoporosis,
we applied our methods to a test set composed of the independent data. Table 3 shows
the results of classifying the test set for selecting women at risk of osteoporosis at
femoral neck. As a result, the SVM model was the best discriminator between
controls and women with osteoporosis.

SVM predicted osteoporosis risk with an AUC of 0.874, an accuracy of 80.4%,
sensitivity of 81.3%, and specificity of 80.5%. Figure 2 shows the ROC curves of
SVM, LR, and OST in predicting osteoporosis at femoral neck. Because SVM had the
highest AUC among the machine learning methods, we compared their ROC curves.
LR was also included for comparison with SVM and OST. The AUCs of SVM, LR
and OST were 0.874, 0.855, and 0.855, respectively (Table 3).

Table 3. Diagnostic performance of osteoporosis risk assessment methods

AUC Accuracy (%) Sensitivity (%) Specificity (%)
SVM 0.874 80.4 81.3 80.5
RF 0.867 77.6 81.3 76.6
ANN 0.845 77.1 82.1 75.9
LR 0.855 76.6 82.9 75.0
OST 0.855 77.6 79.8 77.0

AUC: area under the curve, SVM: support vector machines, RF: random forests, ANN: artificial neural networks, LR:
logistic regression, OST: osteoporosis self-assessment tool

100
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20

O 1 1 1 1
0 20 40 60 80 100

1-Specificity (%)

Fig. 2. Receiver operating characteristic (ROC) curves of support vector machines (SVM),
logistic regression (LR), and osteoporosis self-assessment tool (OST) in predicting osteoporosis
risk at femoral neck
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4 Discussion and Conclusion

We investigated a new approach based on machine learning techniques for predicting
femoral neck osteoporosis risk in postmenopausal women using data from the
KNHANES V-1. To our knowledge, we first performed comparisons of the perfor-
mance of osteoporosis prediction between the machine learning and conventional
methods using population-based epidemiological data. Among the machine learning
and conventional methods, the SVM model discriminated more accurately between
women with osteoporosis and control women. In other words, SVM was more effec-
tive in analyzing the epidemiological underlying patterns of osteoporosis compared
with the other methods.

Our proposed SVM model included age, height, weight, body mass index, duration
of menopause, duration of breast feeding, estrogen therapy, hypertension, hyperlipi-
demia, diabetes mellitus, and osteoarthritis as predictors (Table 2). Similar to earlier
studies concerning prediction for osteoporosis [9,10], our results suggest that age and
weight are most closely associated with the development of osteoporosis. However,
our findings also demonstrated different factors involved in osteoporosis such as
height, duration of menopause, duration of breast feeding, and presence of chronic
diseases such as hypertension, hyperlipidemia, diabetes mellitus, and osteoarthritis.
Our prediction model was able to consider these chronic diseases in combination
using a SVM model characterized by nonlinearity and high dimension. Because the
SVM model delicately handled a separating space composed of these factors in high
dimension, it was possible to consider all factors for the improvement of sensitivity
and specificity in predicting osteoporosis.

Women experience menopause at 50 years old on average [23]. Accordingly, when
we regard the Korean women who are over 50 years old as potential menopausal pop-
ulation, menopausal women account for 31.8% of all women in Korea. The 31.8%
corresponds to around 8.5 million [12]. Although SVM showed small improvement of
2.8% in accuracy compared to OST, the 2.8% corresponds to approximately 238,000,
which is not small population.

In conclusion, the most important finding of this study is the identification of
postmenopausal women at high risk of osteoporosis at femoral neck to increase the
possibility of appropriate treatment before fracture occurs. Machine learning methods
might contribute to the advancement of clinical decision tools and understanding
about the risk factors for osteoporosis. Further studies should be targeted at construct-
ing an extended prediction model for progressive osteoporosis through the collection
of prospective data, and the simultaneous prediction of osteopenia and osteoporosis
using multi-category classification.
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Abstract. Bioinformatics is facing a post-genomic era characterized by the re-
lease of large amounts of data boosted by the scientific revolution in high
throughput technologies. This document presents an approach to deal with such
a massive data processing problem in a paradigmatic application from which in-
teresting lessons can be learned. The design of an out-of-core and modular im-
plementation of traditional High-scoring Segment Pairs (HSPs) applications
removes the limits of genome size and performs the work in linear time and
with controlled computational requirements. Regardless of the expected huge
I/O operations, the full system performs faster than state-of-the-art references
providing additional advantages such as monitoring and interactive analysis, the
exploitation of important intermediate results, and giving the specific nature of
the modules, instead of monolithic software, enabling the plugging of external
components to squeeze results.

Keywords: HSPs, out-of-core, comparative genomics.

1 Introduction

New, massively parallel data acquisition technologies in the life sciences are changing
bottlenecks in biology and biomedical research from data acquisition to data interpre-
tation. This is leading to a shift from the theory-driven experiments of the last fifty
years back to traditional observation-driven theory building, but with orders of magni-
tude more data to analyze. The adaptation and creation of software is needed to enable
bioinformatics’ tools to deal with this massively growing rate of data. Only one ex-
ample: just on February 2012, a miniaturized device -the size of a USB memory stick-
has been announced as designed to make DNA sequencing universally accessible
(costs below $900 using Oxford Nanopore Technologies [1]). Still scientists are rac-
ing to develop methods that are fast and cheap enough to allow individual to get his or
her genome sequenced, thus truly ushering in the era of personalized medicine based
on genetics. But not only is the human genome of interest. At present, hundreds of
different organisms, in all kingdoms, have been sequenced and thousands of on-going
projects have put Comparative Genomics in the spotlight to provide the methods to
study the relationships among this flood of data.
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From a different perspective, huge-data handling problems are fundamental as the
increasing speed of computers, storage and networks are not keeping up with the in-
creasing speed of data generation. This issue has two dimensions. First, there is the
fundamental dilemma of analysis procedures that show quadratic calculation time
relative to input size (e.g. 'all versus all' computational strategies; the large usage of
statistical tools such as maximum likelihood, Bayesian analysis, etc). Second, most
software for computational biology is designed for single-CPU computers (i.e. dotplot
[2]). Since conventional analysis software is used for much larger data than originally
designed for, the limits of computing, as well as those of memory capacity, are being
reached. This fact produces a pressing need to both retrofit trusted software and also
create new software.

A dotplot is the traditional and simple way to compare biological sequences. Basi-
cally, a dotplot is a visual representation of the similarities shared by two sequences,
one arranged horizontally and the other vertically. The dotplot is built up by compar-
ing each residue in the horizontal sequence against each residue in the vertical
sequence. A dot is placed in the intersection coordinates when both residues are iden-
tical. Thus, regions of the sequences sharing substantial areas of similarity will be
revealed by diagonal stretches. Sliding windows combined with stringency thresholds
are the standard method to remove noise produced by random matches.

Dotplots were designed to deal with genes and proteins, therefore the solution
space of the original implementation of dotplot becomes impractical for processing
with single CPUs when working with larger datasets, such as the mega-sized chromo-
somes of higher eukaryotes (for example, a 30x30MB comparison could take 25 days
on a single CPU). Enhanced solutions can reduce the computational search space,
normally to a linear complexity O(N+M) but is still unaffordable for massive
exercises.

Many extensions of the basic dotplot methodology have been proposed. These in-
clude interactive usage [3, 4], statistical filtering and the use of other symbols than
dots to discriminate among matches of different similarity [5], the use of biophysical
features of the residues for scoring [6], and the simultaneous study of several dotplots
as a way to perform some forms of multiple alignments [7]. Concerning how this
information is presented to the user, strong improvements have been made from the
early simple monochrome representations with virtually no possibility of performing
an interactive analysis. Color coding was introduced to represent the information [8],
and a simple window based zooming and panning approach was proposed in [9].
Dotter [10] introduces a 'Greyramp tool' to interactively adjust the score cut-offs for
displaying dots, so the separation between noise and signal can be fine-tuned interac-
tively, and in our previous work [11] we proposed the use of image processing filters
in the framework of mathematical morphology to enforce the signal/noise ratio and
extend the notion of sequences comparison to structural analysis. In the web domain
[12] offers a full menu and mouse-driven application, and [13] presents a web-server
application to align genomic sequences.

Another way for representing the similarities between biological sequences is to
use HSPs (High-scoring Segment Pairs), sub-segments from two sequences that share
ahigh level of similarity. There are some reference programs for computing HSPs
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(i.e. similarity between biological sequences) such as Blast [14] and Megablast [15]
for large sequences, also MUMmer application [16] uses HSPs for fast sequence
alignment, and there are several other programs that somehow perform HSPs calcula-
tions such as Gepard [17] for dotplot visualization. To reduce the computational space
and accelerate data processing most of the mentioned programs use some kind of pre-
processing step. In this pre-processing step, when genomes replaced sequences as
input, the limitations of HSPs calculation become evident: the computational com-
plexity and the memory consumption of the algorithms, which rises with the product
of the length of the sequences and the window-size becomes a problem due to the
algorithm works in an in-core fashion. Of equal importance, the interactive analysis
and visual exploration of the solution space would require handling the dotplot matrix
in memory, which also rise with the second power of the average sequence length.

In our case, the pre-processing step follows a similar approach but working in an
out-of-core fashion, to avoid memory consumption limitations. The approach consists
on a Blast-like strategy also implemented in Megablast and more recently in Gepard
application with important time reduction, allowing the comparison of human chro-
mosome 1 (more than 300Mbp) in approximately one hour. Concretely, this step pro-
duces a dictionary of words or k-mers that contains a list of occurrences of each k-mer
in the sequence. To perform the calculation of the dictionary we use a sliding window
of length k that runs along the sequence one nucleotide each time. All the components
in the window must be in the ‘ACGT’ alphabet, if not the word will be discarded.
Then k-mers included in the dictionary are used as prefixes for the rapid identification
of matching words, the position of the word in each sequence is used as seed point
(i.e. coordinate) from where to try to extend the local sequence alignment.

In the way to accelerate computation the organization of the data corresponding to
k-mers’ position is usually worked out in-core, as we have said before. This advan-
tage turns into a disadvantage since for large sequences an appropriate value of k is
needed (the size of the word or k-mer). Currently, typical values are around 10 which
lead to 1,048,576 putative entries. Although array-based memory is manageable in
terms of main memory, the number of repeats for k=10 can be high for chromosomal
sequences. With this the number of putative hits or seed points becomes high and
therefore the computation unaffordable. On the other hand, using a lager value for k
to reduce the number of repetitions would force the limits of main memory. For in-
stance, with k=20, more than 1TB of possible entries could be expected, it does not
require the complete 4* address space of the naive implementation.

The exact number of k-mers in a sequence of length L is L-k+1 which can be ma-
naged in main memory, but requires more complex data management structures and
procedures (i.e. prefix trees) that could slowing down the complete process. To over-
come this problem it is possible to work out-of-core, i.e. using the hard disk as tempo-
rary storage. The slower access time of storage devices is by far compensated in
several ways: (a) the size is unbound of k which will reduce the number of repetitions
and the computational space; (b) it is able to recover —without additional processing
time- all k’-mers for k’ < k, thus keeping all the sensitiveness for the identification of
true signals; (c) the already computed dictionaries of words remain available for
subsequent processing when comparing against other genomes; (d) combining the
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reduction of the computational space with a modular implementation allows fine-
grained monitoring of execution, and the storage of intermediate results on disk al-
lows the development of simple additional modules for exhaustive analysis, and
finally; (e) the elapsed time is short enough even to allow an interactive analysis.

This document reports the design of software modules that enable comparative ge-
nomics. Our development is illustrated with the implementation of HSPs calculation
at genome scale with linear time and controlled memory requirements, trying to tackle
the problem in memory consumption faced by the state of the art reference programs.
Several tests will be presented later on to demonstrate the utility of the strategy. De-
tailed material (including more tests) and open source code are available to reproduce
results (http://www.bitlab-es.com/dotplot).

2 Methods

We have addressed the out-of-core implementation from two complementary perspec-
tives. On the one hand we have designed, developed and implemented an I/O library
(SFILE) to reduce the number of access to disk storage at the same time keeping con-
trolled memory demands. This library uses a general buffering strategy plus pre-
fetching that perform well in most sequence analysis applications. On the other hand
we have reformulated the internals of the application to overcome the memory
limitation of the original codes.

In short, the SFILE library is designed to provide buffered management of large
sequences. The library implements the classical methods available in files systems,
such as open, close, read, write, seek, etc. From the programmer’s perspective the
library hides the complexity of keeping partial sequences loaded into memory. The
program can point or make reference to any position of a given sequence and the
software provides efficient access to such piece of data. The library is built on top of
the library function layer of the operating system and uses the FILE module of C lan-
guage to map the functionality. Detailed information about the SFILE API is provided
as Supplementary Material.

At the same time, the optimization of the HSPs calculation has been addressed in a
twofold strategy: on one side we focus on the reduction of the computational space,
which is application specific, and on the other side on the modularization of the
process which is a classic engineering concept: one tool for one specific task.
Following these criteria we identify the following main sections in the design:

Computational Space Reduction. As mentioned above, to reduce the computational
space we have followed similar strategies as state-of-the-art solutions, based on the
rapid identification of k-mers present in both sequences, to be used as seed points to
extend local fragments.

The main contribution to deal with this problem is to work out-of-core, i.e. using
the hard disk as temporary storage and the SFILE library. The slower access time of
storage devices is by far compensated in several ways:
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1. Tt is possible to extend the prefix length to any arbitrary value (e.g. by default
k=32), which, despite producing the same number of words (in practical terms
L-k+1, with L>>k), does not mean any loss of sensitivity, since a collection of
prefixes of length K contains all the prefixes with k < K.

2. Greater k values produce a lower number of words sharing the same prefix,
thus the number of potential seed points to extend the alignment is much

shorter.

3. By using proximity criterion is it possible to reduce the number of seed-points
yet further

4. A pre-visualization of seed-points can help in selecting the most appropriate k
value

The Modular Organization. The second aspect to enhance the implementation is
based on the modular organization of the full process, removing dependencies and
repetitive actions when processing collections of data sets. Thus, the full application
is aimed for using on multiple data analysis, allowing parameter sensitivity studies as
well as all-against-all comparisons of a collection of genomes. With these ideas in
mind we organize the process in a workflow that includes the next steps (see
figure 1):

1. Create the dictionaries for each sequence or genome. This section involves the
following steps:

(a) Production of words, compressed storage on disk (4 bases per byte)
including word position.

(b) Sorting by word.

(c) Creating a hash table on disk. This table has two components: the hash
header (the word, the starting position of the word within an array with the
list of words-repeats positions) and the array of positions of words in the
sequence.

2. Determine the hits that will be used as seed points for fragments. This involves
the following steps:

(a) Producing all the combinations (positions) of the same word in the two
sequences

(b) Sorting the hits by diagonal and offset

(c) Optional reduction of the number of hits by proximity.

3. Local fragments detection
4. Visualization and further data analysis.

In the first section of the workflow, a collection of k-mers (k=32 by default) including
their position in the sequence, is stored on disk, avoiding low complexity regions. The
words are then ordered according to their content. It is worth observing that this in-
termediate result can be post processed to obtain the frequency of k-mers for any
value of k. The ‘word to hash in disk’ (w2hd) program produces a hash table that
corresponds to an “inverted index” in which the position of each word in the sequence
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is recorded. It is most important to observe that this dictionary, when stored in the
disk device does not need to be obtained any more, and it is available for later usage
when compared against any other sequence. This section must be executed once for
each sequence involved in the specific study.

_words —»{ Sort |—»| W2HD ﬁL

‘ Hits H sort H frags ‘—ﬁ curves‘
3

.» words |—| Sort |— W2HD ——

Fig. 1. Workflow for HSPs calculation and dotplot representation. The two branches on the left
represent the dictionary computation, followed by its detection and finally the fragment
extension step.

The second section corresponds to the identification of seed points. If a word w;
appears n times in the first sequence at positions p; (j=1...n); and the same word w;
appears m times in the second sequence in positions py (k=1...m), a hit will occur in
all (pj, px) coordinates (see figure 2). For each hit, a diagonal number can be defined
as d=(p; - pw-. All these “hits” are putative starts of local alignments (with k identities
at the beginning). Using a proximity approach you can reduce the number of hits, by
which all those hits on the same diagonal and at a predefined distance are grouped as
a big-hit (see figure 2). Later filters can select those seeds for processing that fulfill a
given big-hit size). Ordering the hits by diagonal and offset and joining together
closest hits does this.

Fig. 2. The showed points are the hits produced into the (p;, px) coordinates. X1, X2, and X3
represent distances between hits of the same diagonal of less than a given threshold D. The
involved hits will be joined into a big hit, reducing considerably the computational space.
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Finally, a local fragment (un-gapped similarity) is defined as a sub-string matching
sequence whose positive accumulated score cannot be increased by extending
the fragment at either of its extremes. A fragment starts in a cell with a positive
score (the seed points identified in the previous section, using a scoring-matrix
system), and eventually grows an accumulating score, until the overall fragment
score becomes negative or the matrix diagonal ends. The fragment boundaries are the
start cell and the cell with maximum accumulated score. The algorithm continues
searching in the next cell or in the next diagonal matrix for the next fragment. When
using k-mers as seed points the algorithm also extend the fragment in the reverse
direction.

The main output from the whole process is the set of HSPs identified, among other
values, by the starting coordinates in sequences, length, score and similarity levels.
This info can easily be used to draw the full dotplot or to be used as input for any
visualization process, or to produce the list of aligned fragments, etc. We provide the
representation as a PNG image and text-based fragments.

3 Results

3.1 Benchmarking

The benchmarks reported in this document have been performed in the SGI Altix
UltraViolet 1000 system, an extra-large symmetric multiprocessor with up to 2048
computational cores along with 16 TB of RAM, available at the Scientific Computing
facilities of the Johannes Kepler University (JKU) in Linz, Austria. All results shown
in this section correspond to sequential -single core- execution of each module. Ex-
haustive data using other diverse collections of data are available as supplementary
material (http://www.bitlab-es.com/dotplot).

The exercise shown at figure 3 describes the dotplot comparison of human (Homo
sapiens) chromosome X against the same chromosome in several other species.
Figure displays the dotplots for Pan troglodytes, Macaca mulatta, Canis familiaris,
Mus musculus, Rattus norvegicus, and Bos taurus. In all cases, we take into account
the execution time of each module, since this is the worst situation. Obviously, in the
case we have compared human chromosome X against chimpanzee, macaque, rat,
mouse, etc. it was only necessary to obtain the human-dictionary once, but to
facilitate comparison we include this time in all the tables.

Rather than the relatively short time needed to complete an experiment, is important
to realize that this tool allows performing exhaustive studies with affordable resources.
This opens a window for exhaustive comparative genome analysis, such as detection of
main evolutionary events, new models that can be evaluated experimentally, for inter-
species evolutionary distance, the composition of the k-mers dictionaries for each
species, etc. Detailed information about these experiments (including several
other species) is available in the supplementary material (http://www.bitlab-es.
com/dotplot).
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A
y Specie Length Elapsed time (sec)
/ chr.X (Mbp) Dictionary | Hits & Frags
Homo Sapiens 15527 730.36
B Pan troglodytes 156,85 1294.16 460,51
| Macaea mulatta 153,95 115733 574,31
/ Canis familiaris 12688 85382 433,76
Rattus norvegicus 160.69 200.18 465,33
C Mus musculus 166,65 30543 495,13
- .| Bos tauwrus 148,82 §75.82 419,22
e "
// » //

Fig. 3. Above on the left, the HSPs found, represented by dotplots of human chromosome X
against (from top-bottom and left to right) chimpanzee (A), macaque (B), dog (C), rat (D),
mouse (E) and domestic cow (F). The table on the right describes the sequence size and the
elapsed time needed to compute the dotplot in the two main steps: building the dictionaries and
computing hits (seed points) and un-gapped local fragments.

3.2 Discussion

The proposed implementation compares quite well with the reference software for
short sequences. It is much faster than Dotter and it is as fast as Gepard even when it
pre-computes the dictionaries. Gepard reports 40 seconds for SMbp genomes [17],
compared with 20 seconds in our implementation on an equivalent hardware platform.
For longer sequences, however, our method notoriously outperforms existing ones.
We need -on average- no more than ten minutes to compare chromosome 1 from dif-
ferent species (all with more than 120 Mbp), this time results are widely better than
the estimated 382 years needed by Dotter (estimated from results in [10]) or the
approximate 1 hour needed by Gepard [17].

But the strength of our approach is that it actually works without the limitation of
available main memory. We have downloaded latest versions of both Gepard and
Dotter applications and tried to run a test comparison of human chromosome X (155
Mbp) against chimpanzee (156Mbp) without success. Both programs soon abort ex-
ecution because of running out of memory. The test has been carried on a computer
with eight gigabytes of available memory and an Intel Xeon E5405 @ 2GHz as main
processor. In the same computer, our implementation deals with the process out-of-
core and achieves the task in less than fifteen minutes (using a single core): ten mi-
nutes for building the dictionaries (this step result is reusable for next comparisons)
and less than five minutes for computing hits (seed points) and un-gapped local
fragments.
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The implementation shows really good performance with some points to analyze.
Traditionally, bioinformatics programs, as well as any computational development,
try to perform their work with data in the main memory as efficient as possible. How-
ever, the rate of growth of the volume of data is far greater than that of RAM memo-
ry, even nowadays when -for some special infrastructures- the amount of available
memory could be in the range of some TB. The main reason for this coding style lies
in the access-time gap between main and external (i.e. hard disks) memory, which is
about 6 orders of magnitude.

However, nowadays there is no way to keep all data in core and therefore there is a
pressing need to re-design trusted software and also creates new software strategies. It
is valid to exploit the particular flow of data of each specific application, but general
software should be the programmer’s final target. In this sense, in this document we
explain how both approaches have been combined to better exploit the advantages of
each one. In this out-of-core implementation the following advantages can be
mentioned:

1. It removes any dependence of k, enabling small prefixes for short sequences
and bigger values of k for chromosomes. We identify as 32 the maximum
value of k that results of interest in this type of applications (identical
words). Greater values of k do not produce enough seed points to identify all
the signals even with 100Mbp datasets.

2. Working in disk allows keeping the dictionaries of words computed in pre-
vious invocations of the program in the secondary storage, reducing the
processing demand in multiple comparative studies.

3. The modular implementation stores the intermediate results on disk, which
allows developing small and simple software components for exhaustive
analysis of intermediate data such as words frequencies, words structure,
comparative studies, extreme frequencies analysis, annotation for functional
genomics, visualization tools, etc.

4. Several additional features are incorporated into the algorithm such as differ-
ent scoring schemes to allow the detection of remote homologous regions, or
k-mer size to fine tuning sensitivity, etc.

5. The elapsed time is short enough even to allow for interactive analysis.

4 Conclusions

This document presents (a) a new software library to deal with long sequences in out-
of-core fashion; and (b) a HSPs calculation and dotplot implementation based on an
enhanced reduction of the computational space combined with a modular implemen-
tation that -apart from an encouraging run time- presents several remarkable advan-
tages, as presented in the Discussion section (independence of K value, reduction of
complexity, fast and accurate performance, etc.).

Additionally, new, simple and small software components can be easily added to
this framework enabling the extension of capabilities in the spirit of software devel-
oper collaboration. The incorporation of new modules does not represent any new
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re-coding of the current architecture. Some examples currently available are: frequen-
cy of k-mers, over and underrepresented set of words, pre-visualization tools for mon-
itoring, full composition of local un-gapped fragments including their alignment, etc.

A full battery of benchmark exercises demonstrates the effectiveness of the imple-
mentation, even in a single-core machine. Ongoing work to use our cloud and multi-
processor developments obtains linear speedups. This software aims to facilitate a
massive comparison of full genomes, and to carry out more complex evolutionary
studies, helping to identify evolution events such as inversions, translocations, gene
duplication and ending with providing new insight and experimental data to contrast
the evolutionary models of populations and species.
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Abstract. Technological advances in biological and biomedical data ac-
quisition are creating mountains of data. Existing legacy applications
are unable to process this data without using new strategies. However,
some workloads in bioinformatics are easily parallelized by splitting the
data, running legacy applications in parallel and then join the partial
results into one final result. In this paper, we present Bio-Cirrus, a soft-
ware package which facilitates this process. Our software consists of a
user-friendly client (JORCA) for accessing Web Services and enacting
workflows, and a module (Mr. Cirrus) for processing the data with a
map/reduce style approach. Bio-Cirrus binaries and documentation are
freely available at http://www.bitlab-es.com/cloud|/under the Creative
Commons Attribution-No Derivative Works 2.5 Spain License and its
source code is available under request. (GPL v3 license).

1 Introduction

Bioinformatics is currently facing a post-genomic era characterized by the release
of large amounts of data due to technical breakthroughs in high-throughput tech-
nologies [I6]. Such data offer biologists unprecedented opportunities to increase
the understanding of the functions and dynamics of individual cells on the one
end and entire populations on the other, for example meta-genomic studies of
all the micro-organisms’ genomes of a sample, genome re-sequencing and poly-
morphism discovery, mutation mapping and alternative splicing identification.
The potential for biomedicine is equally promising with personalized medicine
and implications on human health and drug discovery.

To effectively process and analyze such data, it is becoming more and more
important to employ advanced high performance computing (HPC) strategies
[11]. One of the main restrictions to increase the adoption of HPC in bioinfor-
matics seems to lie in the lack of trained programmers capable of designing,
developing, and using the right HPC programming tools. Map/Reduce (MR)
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frameworks (for example Hadoop [I5]) efficiently take advantage of computing
resources. Therefore, a transitory solution could be to facilitate the porting of
legacy applications (software written for an earlier operating system or hardware
platform). This is straightforward for those applications in bioinformatics which
present embarrassingly parallel workloads, i.e. where the input data can be split
and processed independently in parallel. Cloud Computing (CC) provides an at-
tractive alternative to traditional HPC centers for computational and storage
resources because users only pay for CC resources actually used.

This paper is organized as follows; we present the Bio-Cirrus software frame-
work in Section 2l In Section Bl we discuss Bio-Cirrus and compare the speedup
of our approach with a reference implementation using Hadoop Streaming on
different cluster sizes. Finally, we conclude the paper in Section [4

2 The Bio-Cirrus Software Framework

Bio-Cirrus is a software framework which aims to simplify the transition to
using CC resources for bioinformatics legacy (command-line) applications. Our
approach uses a parallel strategy (Section [Z]) for processing data using CC
resources. In addition, Bio-Cirrus allows end-users to access these applications
through a consistent and user-friendly interface (Section 22)).

2.1 The Mr. Cirrus Framework

The software suite Mr. Cirrus (Map-Reduce for High Level Cloud Computing)
consists of three major software modules (see Figure [I]):

— Map: This initial module splits the input data and prepares an initial map-
ping of tasks. The output of this module is essentially the distribution of the
computational load, the chunks of data and the reduce task.

— Scheduler: This module in charge of invoking the tasks prepared in the initial
module. The scheduler will assign tasks dynamically to each available worker.

— Reduce: The final module collects the partial results and composes a final,
global result.

The initial implementation of Mr. Cirrus was a Message Passing Interface (MPI)
application, which provides a parallel execution environment for sequential ap-
plications in multiprocessors, cluster of computer machines and TaaS clouds [14].
Mr. Cirrus has also been implemented for the following CC platforms: Amazon
Web Services (AWS) [2], IBM SmartCloud [3] and Microsoft Azure [6/9]. Ob-
viously, the legacy applications running on the different applications must be
executable on the CC platform, for example, the Azure version of Mr. Cirrus
can only be used with legacy applications which run on Windows 2008.

Data Distribution Strategy in Mr. Cirrus. In Mr Cirrus, the map stage
is configurable and determines the data distribution which typically depends on
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Data Storage

Split data /
task
distribution

Reduce

Fig. 1. Overview of Bio-Cirrus with the computational framework Mr. Cirrus in the
middle part and the end-user client softare jORCA in the lower part. Note that
JORCA only submits data references to previously prepared data during Web-Service
invocation.

the legacy application. It is essential to distribute data in such a way that each
computing node minimizes the waiting time before starting to process data.
This section gives examples of such strategies for two typical bioinformatics
applications: dotplot and blast.

Dotplot[§] is a simple way to compare biological sequences where the sim-
ilarities of the sequences are represented visually with one sequence arranged
horizontally and the other vertically. For dotplot data, the dot matrix is built
by comparing two sequences S; and Sy. The simplest distribution is to allot
the computational space L, and L, (the lengths of the respective sequences) to
equal lengths. The two sequences are split in N, and NN, chunks. Mr Cirrus will
process them independently using the available computing nodes for each set
S; where ¢ = 1...N, and S; where j = 1...N,. This will produce partial results
RES(i,j) which are combined in the reduce step to produce the final dot matrix.

BLAST [] is a well-known application for comparing biological sequences.
When performing a BLAST, we often have a large amount of sequences. The
strategy in this case is to split these sequences in several files, where each file
has a similar number of sequences. It is important to note that this variant can
cause efficiency problems when the number of sequences are too small or the
lengths of the sequences are very different. This will limit the efficiency of the
system because the longer sequences determine the overall performance.

In both cases, it is important to ensure that the map stage minimizes the
start latency and provide a simple final reduce step. We have used Guided Self
Scheduling (GSS) [13] and modified Guided Self Scheduling (mGSS) [17] which
sends light jobs at the beginning of the process to minimize the scheduling cost.
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2.2 The jORCA Client

The jORCA client [I2] was developed to facilitate the integrated usage of Web-
Services (WS) in bioinformatics. JORCA uses the Modular programmatic ap-
plication interface (MAPI) [I0] to obtain a uniform representation of metadata
related to WS (such as tools, datatypes, WS registries). MAPI is organized in
separate modules which solve specific tasks, for example one module is used to
invoke services, another module to obtain metadata about WS, etc.

jORCA facilitates the usage by generating a consistent and clear user inter-
face for heterogeneous WS. Additionally, JORCA requires tool developers to map
the input/output parameter datatypes to shared data taxonomy, which is essen-
tial to increase interoperability among WS (service composition). The client is
extensible for new WS protocols and metadata repositories.

The following improvements of JORCA have been implemented to integrate
jORCA with Mr. Cirrus:

Component for Transfer of Data to Network Connected Data Storage.
JORCA now supports data transfer to network connected data storage. A stan-
dardized GUIT has been developed to upload/download data and it is possible
to extend the supported types of data storage. Initial implementations include
Microsoft Azure blob storage and support for SFTP and Amazon EC2 storage
is under development. For the Azure blob storage, users can specify a storage
account and credentials which are then used to generate temporary keys which
are used by jJORCA to authenticate against the blob storage API. The jORCA
component for transferring data to Azure blob storage uses a special type of
blobs (page blobs), which allows the component to upload parts of the data and,
if necessary, resume interrupted transfers.

Component for Invoking WS Using Data References. We have also
specified and implemented support for invoking a RESTful WS front-end for
Mr. Cirrus from jJORCA. The WS provides an interface to submit a job speci-
fying the required WS parameters as data references to data already uploaded
on cloud data storage, see Figure[Il The submission creates a new resource (ad-
dressable via a unique URL). The resource can be polled for status and, when
ready, for the final result. Therefore, these call-by-reference invocations greatly
facilitate invocation of a series of WS (i.e. a pipeline or more complex workflow)
because the jJORCA client does not need to download the intermediate result
and upload again to the subsequent WS. Not only is this more efficient but it
also saves cost because data transfers between applications running in the cloud
and the storage services are typically free of charge. The WS front-end has been
implemented in C# (for Windows Azure) and Java (for AWS).

The deployment model for the front-end WS in Bio-Cirrus implies that the
size of the computational cluster is known in advance for a specific service. When
data are prepared in the map step, it is not necessary to know the cluster size.
For example, it is possible to split the data in several ways (fixed size, GSS and
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mGSS), see Section 271l The data distribution strategy will produce N chunks
where N is typically much larger than the available compute units. Naturally,
this model fits better on a private cloud where we have permanent access to the
computational cluster. On a commercial cloud, it is not economically efficient to
maintain a large cluster used only occasionally.

The WS front-end can be registered with the Flipper [5] application in any of
the WS metadata repositories supported by jJORCA.

3 Discussion

Bioinformatics is an extremely active field where new applications and web-
services are developed constantly. Bio-Cirrus aims to simplify the transition of
these applications to run on cloud computing architectures. Although not all
bioinformatics applications are suitable for parallel implementation due to their
irregular computational patterns, data dependencies, etc., bioinformatics is a
clearly a good domain to evaluate Bio-Cirrus.

The legacy application we have chosen to evaluate Bio-Cirrus with is BLAST.
We will search for similarities between a collection of singletons (approximately
160,000 sequences with average size of 530 residues, 85.4 Mb) against the col-
lection of contigs (120,000, 76.9 Mb) obtained as a result of a Next Generation
Sequencing (NGS) DNA-assembly process using reads from Olive tree samples
[8]. It was not possible to group these singletons into contigs during the assem-
bly process. The rationale of the scenario, from a biological point of view, is
to perform an additional verification of singletons that could match with some
specific contigs.

To enable us to evaluate the performance of Mr Cirrus, we have developed a
reference implementation based on Hadoop [I5] with similar characteristics as
Mr Cirrus. Hadoop provides a set of libraries for the distributed processing of
large data sets across clusters of computers using a simple programming model.
Nowadays, there are several Cloud providers offering Hadoop-based services, for
example Amazon Elastic Map/Reduce [I]. We used Hadoop Streaming, deployed
on Amazon Elastic Map Reduce [I], which lets us create and run Map/Reduce
jobs with any executable or script as the mapper and reducer functions. We have
developed a bash script that acts as a wrapper between the sequential program
and the Hadoop Streaming library. In our reference implementation, Amazon
S3 buckets are used to store input data and binaries. When the master node is
started, data and binaries are downloaded to the local file system of the master.
Once downloaded, these files are uploaded to Hadoop Distributed File System
(HDFS) [7] so that all cluster nodes (running Hadoop) can access them. HDFS
is a distributed file system designed to run on commodity hardware. HDFS is
highly fault-tolerant and provides high throughput access to large data sets (in
the range of gigabytes or terabytes). An HDFS instance may consist of hundreds
or thousands of server machines (resizable dynamically), each storing part of the
file system’s data. Because of the fact that the probability of failure in a node is
high, a HDFS component is always non-functional.
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Fig. 2. This graph shows the speedup of the Blast benchmark using 1, 2, 8, 16, 32,
64 and 128 processing entities running on Amazon WS using Mr.Cirrus and Hadoop
Streaming respectively. The time to deploy the clusters or the time to upload /download
the input/output files were not included in the measurements, only the time for the
computing nodes to download their input data, process the data and upload the result
to the storage. Please note that, in some cases, the Hadoop Streaming representation
and Mr.Cirrus get speedups higher than the theoretical optimal but this is most likely
because the most commonly used variables in blast have enough space in the processor
cache (much faster than the RAM memory) which distorts the results.

The strategy used to distribute partial input data among the cluster nodes is
important. In the case of Bio-Cirrus, the data distribution is defined explicitly in
the map stage (see Section 2]). In our reference implementation using Hadoop,
the data distribution is performed implicitly by HDFS. As you can see in Figure
[l the Hadoop version performs better with a little number of processors because
the size of the chunk files to distribute is higher, and thus the synchronizing time
between nodes is lower than the compute time. However, when the number of
processors grows (32 is the inflection point in the graph), Mr.Cirrus performs
better due to the effective synchronization mechanism (mGSS).

4 Conclusions

Breakthroughs in bioinformatics data acquisition have provided researchers with
material to obtain important new knowledge. However, the sheer scale of the
data makes it necessary to employ techniques from high performance computing
(HPC). Ideally, legacy applications can be rewritten to take advantage of parallel
computing but, as an intermediate solution, porting legacy applications using
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map/reduce strategies could be an effective solution in many cases. Clearly, the
potential of using CC for bioinformatics data processing is promising.

This document presents the software framework Bio-Cirrus which aims to
facilitate the transfer of bioinformatics applications to run on CC architectures
and provide consistent and user friendly interfaces. In Section 3] we show that the
speed-up obtained using the computational component of Bio-Cirrus (Mr.Cirrus)
is comparable to Hadoop and, when the number of processing entities grows
large, Mr.Cirrus has an advantage due to its effective synchronization strategy.
The jORCA application is able to provide a simple and standardized interface
for end-users due to the standardized web-service front-end.

In conclusion, Bio-Cirrus provides an integrated solution which supports all
necessary steps for transferring legacy applications in bioinformatics to run on
cloud computing architectures, starting from the deployment of the legacy appli-
cation using Mr.Cirrus, deployment and registration of a web-service front-end
using Flipper and discovery and invocation of the web-service using jORCA.
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Abstract. Ensuring ubiquity, robustness and continuity of monitoring
is of key importance in activity recognition. To that end, multiple sensor
configurations and fusion techniques are ever more used. In this paper
we present a multi-sensor meta-classifier that aggregates the knowledge
of several sensor-based decision entities to provide a unique and reliable
activity classification. This model introduces a new weighting scheme
which improves the rating of the impact that each entity has on the
decision fusion process. Sensitivity and specificity are particularly con-
sidered as insertion and rejection weighting metrics instead of the overall
accuracy classification performance proposed in a previous work. For the
sake of comparison, both new and previous weighting models together
with feature fusion models are tested on an extensive activity recogni-
tion benchmark dataset. The results demonstrate that the new weighting
scheme enhances the decision aggregation thus leading to an improved
recognition system.

Keywords: Meta-classifier, Sensor network, Decision fusion, Weighted
decision, Aggregation, Activity recognition, Human Behavior.

1 Introduction

The assessment of human behavior has been demonstrated of worth value for its
several applications in healthcare [3], rehabilitation [I], industrial maintenance
[16] or gaming [II] among others. Even when relevant contributions have been
provided in the last years to the activity recognition field, there are still several
open issues respectively referring to systems reliability, robustness, pervasiveness
and seamless of usage. The use of multiple sensor configurations appears in this
context as a means to effiently overcome some of these issues.

In wearable computing, several studies have already demonstrated the impor-
tance of monitoring different body parts to increase activity detection capabili-
ties [7I15]. To do so, more than one sensor is normally required to be attached
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at various body locations. However, obtrusiveness has traditionally been one of
the main controversial drawbacks against the wearing of multiple sensors, since
their size and ergonomic limitations may difficult their use in life-long condi-
tions. Nonetheless, progressive sensors miniaturization and cost reductions are
supporting a new generation of devices that may be embedded in garments and
textiles [2], with the aim of integrating tens, hundreds or even thousands of these
sensors in a very reduced area [g].

Together with this mainstream technologies, sensor fusion has become a hot
topic in activity recognition. Sensor fusion applies to different levels of the ac-
tivity recognition chain, including signal fusion, feature fusion and classification
decision fusion. Thus for example, [13] combines features extracted from differ-
ent signal domains (respiration and acceleration) to recognize a set of 13 types
of activities of varying intensities; [I8] uses the fusion of 3D acceleration and
angular velocity signals for spotting up to eight regular daily activities; the rela-
tionship between activity intensity and physiological response is also leveraged
in [14] through correlating motion with heart rate or skin temperature data,
which improves the accuracy of activity detection. At a higher level [12] fuses
the classification scores provided by support vector machines (SVM) and gaus-
sian mixture models (GMM) that operate on acceleration and electrocardiogram
data. In [I0] the fusion concept is also incorporated in a more sophisticated hier-
archical model that combines information from dynamically-selected acceleration
sensor nodes.

In this work we present a multi-sensor meta-classifier that incorporates an im-
proved version of the weighting scheme introduced in a previous work [4]. This
improvement allow us to independently weight the positive (insertion) and nega-
tive (rejection) decisions yielded by each decision making entity, instead of using
the same value for both. This way is more problem-sensitive and supports the use
of potential decision entities even when their classification or rejection capabil-
ities are unbalanced. The rest of the paper is organized as follows. In Section 2
the meta-classifier structure and the decision weighting scheme are described.
Section 3 presents the main results obtained for the meta-classifier when tested
on an activity recognition benchmark dataset. The proposed model is also com-
pared with a previous hierarchical version and a standard feature fusion model.
Finally, main conclusions and future steps are presented in Section 4.

2 Multi-sensor Meta-classifier

Meta-classification is a prominent subfield of machine learning which shares
conceptual basis with other state-of-the-art meta-algorithms such as stacking,
boosting or mixture of experts among others. In this paper we refer to this as
those models based on the aggregation of the decision provided by several sources
or nodes of information. In the model presented here the decisions are provided
by different level classification entities (hierarchical classification). Moreover,
each decision is particularly rated according to each entity classification capabil-
ities (e.g., from the sensor informativeness). This weighting procedure supports
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an optimal exploitation of the classification potential of each individual entity,
thus allowing for the definition of a precise collective knowledge structure.

The structure of the meta-classifier is very similar to the one presented in [4].
This consists of three classification levels or stages. The first level is composed
by a set of M by N binary or base classifiers (¢, Vm=1,...,M;n=1,...,N)
which respectively specialize in the discrimination of the activity or class n by
using the information from the sensor or node m. The second classification level
is defined through M node or source classifiers (S,,, ¥m = 1,..., M) which
defines through the decision fusion of each sensor associated binary classifiers.
On top of the model (third level) the fusion of the decisions given by the source
classifiers provides the eventually yielded activity classification.

The model training requires from just a few steps. Firstly, the training dataset
is partitioned in three equally-distributed parts. One of these partitions is used to
train the base classifier entities. Afterwards, another partition is used to test the
performance of the binary classifiers. From here, statistical metrics are obtained
and later used to define the first level of weighting parameters. Once the models
are trained and the metrics obtained the source classifiers are almost defined.
Then, the weighting parameters for the second level are assessed. To that end, the
third yet unused part of the dataset is considered now for the evaluation of the
source classifiers performance. From the test statistics the second level weights
may be obtained. At this point the source classifiers are completely defined. The
meta-classifier is by extension defined as the sources classifiers and weights are,
thus completing the final stage of the model. The final structure may be seen in
Figure [

In the following the computation of the first level and second level weights
as well as the suggested decision fusion scheme are presented. As was already
introduced, two parameters are used both to weight classifications/insertions
and rejections. At the class level these parameters are defined as au,, and B,
which respectively represent the insertion and rejection weights for c¢;,,. The
values of a,, and B,,, are obtained from the performance assessment of ¢,,,,.
In particular, «,,, corresponds to the sensitivity whilst (5,,, to the computed
specificity. We have selected these performance parameters since they represent
well the insertion and rejection capabilities of the classifier. From the statistical
theory, given T P,,,, (true positives) the number of correctly identified samples,
FP,,,, (false positives) the incorrectly identified samples, T'N,,,, (true negatives)
the number of correctly rejected samples and F'N,,,, (false negatives) the incor-
rectly rejected samples, all specifically for the classifier ¢y, mn and By, may
be defined as:

T-Pmn
O, = (1)
TPTYLn + FNmn
TNmn
n — 2

These weights represent the importance that each base classifier will have on
the source classifier decision scheme. A specific voting algorithm is considered
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Fig. 1. Meta-classifier scheme. o, and By, and 7., and §,, correspond to the
insertion/rejection weights for the base level and source level respectively.

at this stage to fuse the base classifier individual decisions on a unique decision
for each source respectively. For a source m, given a sample z,,, to be classified
and being ¢ the class predicted by the classifier ¢,,,, if such class belongs to the
class of specialization (¢ = n), the classifier will set its decision to ayy, for the
class n and 0 for the rest of the classes. Otherwise (¢ # n), the decision is set to
0 for the class n and By, for the others. In summary, the classifier ¢,,, weighted
decision (W Dyy,y,) for the class ¢ may be defined as (V{q,n} =1,...,N):

Qmns ZTm,, classified as ¢ _ )
W Dy (0, 0, Zm, not classified as ¢ B 3)
T =
A Brmn, Zm, Dot classified as ¢
. (Vg # n)
0, Zm, classified as g

The aggregation of the weighted decisions provided by each base classifier for
the m-th source classifier (S,,) may be computed as follows:

N

n=1

The class predicted by S,, is the class g for which the source classifier output is
maximized:

Im (Tm,,) = arglqnax (Om (Tmy,)) (5)
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For the next level, similar parameters to ,,, and [3,,, are considered, here
defined as «,, (insertions) and 4, (rejections). Nonetheless, the way they are
computed varies slightly with respect to the above described. At the source level
the classifiers are not binary but multiclass models. Therefore, the evaluation of
each source classifier requires to extend sensitivity and specificity concepts to
the multiclass case (see details in [I7]). According to this generalization, v, and
dm may be described as:

_ < > _ TPml TPm2 TPmn
Tm =AY Ym2s ) =N pp 4 FNpy TPt + FNua” " TPon + F N
(6)
Tle TNm2 TNmn
Sm = Gty Om2y vy O ) = ,
(01, G2 ) <TNm1 + FPpy’ TNyt + FPr2” " TN + FPmn>
(7)

where {TP/TN/FP/FN}, . refer to the previous described classification and
rejection counting values, but now computed for each class k across the confu-
sion matrix results obtained from the evaluation of S, (Vm = 1,...,M,n =
1,...,N). The source level weights are used in a different manner than in the
class level. Besides the decisions are now made in a multiclass way, the weights
are used to reward or penalize those classes that are classified or not by each
source classifier. Accordingly, given ¢, the decision of S, for the sample x,,,,
the set of weighted decisions from this classifier is defined as:

WDy (G (€my,)) = {z’g T;?Z” ((ka)) (Vn=1,...,N) 8)

Now, for a sample xj defined through the corresponding samples delivered by
each source (z1,,...,%m, ), the aggregation of the source level weighted decisions
is calculated as follows:

M

O(ar) =0 ({zn,-- 22, }) = Y WDy (g (ap,)) 9)

p=1

Finally, and similarly to (&), the eventually yielded class ¢ is obtained as:

¢ = argmax (O (1)) (10)

3 Results and Discussion

For the evaluation of the proposed model an activity recognition benchmark
dataset is used [6]. This dataset comprises motion data (namely acceleration,
rate of turn and magnetic field) recorded for 17 volunteers performing 33 fitness
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activities while wearing a set of nine inertial sensors attached to different parts
of their bodies. For the sake of simplicity, the 3D acceleration data from the so-
defined “ideal-placement” recordings are here considered. Three feature sets (F'S)
are respectively extracted for evaluation: FS1="mean’, FS2="mean and standard
deviation” and FS3="mean, standard deviation, maximum, minimum and mean
crossing rate’. All features are computed over a non-overlapping sliding window
(6 seconds size). C4.5 decision trees (DT, [9]), which have been extensively and
successfully applied in previous activity recognition problems, are used both for
the multiclass classifiers and the binary or base classifiers. For all models a ten-
fold random-partitioning cross validation process is applied across all subjects
and activities. The process is repeated 100 times for each method to ensure
statistical robustness.

In Figure Bl the results for the feature fusion (feature vector composed by
the feature extracted from all sensors), hierarchical weighted classifier (HWC,
[4]) and the here proposed meta-classifier are shown. FS1, FS2 and FS3 are
respectively evaluated on these models for three activity recognition problems
of increasing complexity (10 activities, 20 activities and 33 -all- activities). The
meta-classifier clearly outperforms in all cases the recognition capabilities of the
HWC, which appears to be the less reliable of the tested models. For some
cases the accuracy improvement is of up to 13% as for the experiment with 33
activities and FS3. This systematic enhancement demonstrates that the rating

Bl Feature Fusion BEEIHWC [ | Meta-learner
100

95

90

85

80

75

Accuracy (%)

70

65

60 FS1 FS2 FS3 FS1 FS2 FS3 FS1 FS2 FS3

10 activities 20 activities 33 activities

Fig.2. Accuracy results from the evaluation of the fusion models when
tested on different complexity activity recognition datasets. FSi refers to
the feature set extracted from the raw acceleration data. The 10 activities
dataset refers to the activities {1,2,18,20,23,25,30,31,32}, the 20 activities to
{1,2,3,7,12,13,17, 18,19, 20, 21, 23, 25, 27, 28, 29, 30, 31, 32, 33} while the 33 activities
dataset comprises all (see [6] for indices equivalence).
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of not just the insertions (HWC) but also the rejections translates into a more
precise weighting of the decisions yielded by each classifier. Moreover, specificity
and sensitivity also contribute to a more balanced description of the classification
capabilities than for the use of the overall accuracy.

The differences between the meta-classifier and the feature fusion model are
not very significant. Nevertheless, the feature fusion model demonstrates a more
regular performance for all problems and feature sets, whereas the meta-classifier
shows a significant performance worsening for the 20 and 33 activities problems
when FS1 is used. Normally, the more complex (#activities) the problem is the
more features are required. Therefore, these reduced recognition capabilities are
associated to the limited discrimination potential of the binary classifiers when
just a feature (FS1) is considered. Nevertheless, this is shown to be compen-
sated when a richer feature vector is used. In either case, it must be borne in
mind that one of the main drawbacks of the feature fusion models is the drop
on their activity assessment capabilities during realistic daily-living conditions
[5]. A simple anomaly on one of the sensors may potentially affect the whole
fusion process and lead to misclassifications. The proposed meta-classifier could
deal with this and similar issues since the sources or sensors are independently
evaluated and the fusion applies only to the individual yielded decisions.

4 Conclusions and Future Work

In this paper we have presented a meta-classifier scheme for multi-sensor activity
recognition that may nevertheless be applied to other multi-source classification
problems. The model improves the classification performance of a previous hi-
erarchical fusion version through the weighting of both insertions and rejections
at base (activity) and source (sensor) levels. The meta-classifier demonstrates to
be sensitive to weak base classifiers, which translates into a significant drop on
the recognition capabilities as the number of activities (complexity) increases.
Nevertheless, the use of richer feature sets significantly increases the recognition
potential. Next steps will aim to compare the robustness capabilities of the pro-
posed meta-classifier against feature fusion models when dealing with complex
activity recognition issues such as concept drift and diverse sensor anomalies.
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Abstract. Activity recognition has recently gained a lot of interest and
appears to be a promising approach to help the elderly population pur-
sue an independent living. There already exist several methods to detect
human activities based either on wearable sensors or on cameras but
few of them combine the two modalities. This paper presents a strat-
egy to enhance the robustness of indoor human activity recognition by
combining wearable and depth sensors. To exploit the data captured by
those sensors, we used an ensemble of binary one-vs-all neural network
classifiers. Each activity-specific model was configured to maximize its
performance. The performance of the complete system is comparable to
lazy learning methods (k-NN) that require the whole dataset.

Keywords: Smart home, Activity recognition, Artificial neural networks,
One-vs-all binary classifier fusion, Wireless sensors, Depth sensors

1 Introduction

Supporting the quality of life of aging population is one of the greatest chal-
lenges facing our societies nowadays. With age comes neurodegenerative diseases,
memory loss, increased risks of falls, and broken limbs. However, smart home
technologies offer new opportunities to help the elderly population pursue an
independent living. In our work, we are interested in using activity recognition
to build applications that can help people with cognitive or memory problems.
We focus on indoor environments, such as an apartment, which can be equipped
with static sensors (e.g., Kinect depth cameras). In addition, the users can also
carry wearable sensors which can be hidden in clothes or in accessories (e.g., a
watch or a smartphone). In this context, an activity recognition system should
be able to (i) recognise a wide range of activities, (ii) be flexible with regards to
loss of one or more sensor modalities.

There are numerous previous works in activity recognition [7, [10, [13]. Many
works target a medical application: for instance, Amft et al. [1] use a variety
of on-body sensors to perform dietary monitoring and therefore help patients

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 216-E23] 2013.
(© Springer-Verlag Berlin Heidelberg 2013



Indoor Activity Recognition Using Neural Network Classifiers 217

with their nutrition. They use multiple modalities (accelerometers, microphones
and electromyogram) to detect various activities like chewing, swallowing, drink-
ing, cutting, eating soup. Hondori et al. ﬂa] present a system that helps monitor
various dining activities of post-stroke patients using a Kinect camera and ac-
celerometers. Kepski et al. ﬂa] built a system that uses the Kinect and a single
accelerometer to perform fall detection.

In this paper, we explore the possibility of a smart home system that would
recognize high-level daily activities (e.g., eating, cleaning, drinking, reading)
using artificial neural networks, for instance to help people with memory loss,
by recording a visual log of their daily activities. It has been shown that such a
system can help those people by acting as a cognitive compensation system B],
and at the same time, given that memory loss can be frustrating, it can provide
a positive feedback letting them remember their recent activities.

This contribution is organized as follows: In Section 2] we present the dataset
we used to conduct our experiments. In Section Bl we explain the various steps
of our activity recognition pipeline. Section M discusses the results we obtained
and finally Section [f] presents our conclusions.

(a) Stand (b) Lying on the floor

Fig. 1. Kinect extracted skeleton for two sample poses. The skeleton is overlaid in
green, with yellow dots indicating the joints with a low confidence score reported by
the sensor. The skeleton provided by the Kinect is reliable when the person is standing
in front of the sensor, but it is unreliable when parts of the person’s body are occluded.

2 Dataset

Several activity recognition datasets are available and allow researchers to
benchmark their algorithms. However, even recent datasets MQ] do not include
depth-sensors. Our dataset consists of recordings of typical daily living activities
performed by one subject so far, but we are working on a database where several
subjects will take part in the recordingsﬂ. The recording environment simulates
the setup of a small apartment with one Kinect camera per room. We decided

! The current database is available upon request. The complete database involving
several subjects will be available on our website http://ape.iict.ch soon.
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to use Kinect and accelerometer sensors because they are both relatively cheap
hardware (when compared to motion capture setup, for example) and are not
too invasive for the user of our system. In addition to its skeleton tracking ca-
pabilities, the Kinect can also be used as a camera and therefore allows us to
show pictures of the activities to the user, which are more easily interpretable
than text labels as shown by Browne et al. [3]. In order to respect the privacy
of the person, the system might not store the video after having been processed
(i.e., it will only store the snapshots, the duration of the activities, etc.).

During the sequence, the subject performs various daily activities including;:
Read, Sleep, Sit idle, Dress, Undress, Brush teeth, Clean a table, Work at the
computer, Tidy up the wardrobe, Pick something up, and Sweep the floor, re-
peating each activity multiple times. The duration of the first recording is 2176
seconds, which corresponds to 65’057 samples. Each sample consists of the skele-
tord of the person, obtained from the Kinect sensor, placed at a height of around
2 m in the rooms, using the Microsoft’s SDK [12], and the 3-axis acceleration
from 5 wireless inertial measurement units (IMU) from Shimmer Researclﬁ,
placed on the wrists, ankles and on the back. In addition, for each timestamp
the Kinect also gives us a RGB image that we used to label the data (by hand)
and validate our system. Figure [Il shows two examples of Kinect captures with
the extracted skeleton overlaid in green. An in-house software was used to syn-
chronize the accelerometers with the Kinect. Figure [2] shows the activity labels
of the whole sequence used in our experiments.

Ground truth labels

activity
Q.
o
[

drinke |1 || I Hii ||

sweep_floo
non

0 10000 20000 30000 40000 50000 60000
sample

Fig. 2. Activity labels corresponding to the sequence of 65’057 samples

3 Learning Pipeline

Activity recognition was achieved by combining a set of binary classifiers based
on feedforward artificial neural networks (i.e., Multi-layer Perceptrons).

2 The Kinect sensor tracks the position (relative to the sensor) of 20 body joints at a
rate of about 30hz.
3http://shimmer-research.com
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We decided to use a one-vs-all approach [4] and trained a neural network for
each activity. Each individual neural network was trained to distinguish all the
samples belonging to one activity from a randomly chosen set of samples be-
longing to all other activities. The main reason for this choice is that different
activities might require different features. For example, one might assume that
the position of the feet is not relevant to detect the drink activity.

Our learning pipeline consists of the following steps: acceleration and
skeleton acquisition, signal filtering, window-size selection, neural network com-
plexity (number of hidden neurons) selection, and input selection, for each indi-
vidual binary classifier. We performed parameter exploration to help us choose
the best value for each parameter of this learning pipeline, when possible. This
means that running the whole pipeline can be quite time-consuming, but most
parameters (e.g., window size, topology) that are found optimal on our test se-
quences are likely to be near-optimal on new similar sequences that our system
might encounter in the future.

Acceleration and Skeleton Acquisition. We used 5 three-axis accelerome-
ters. Two were placed on the legs, one on the back and one on each wrist of
the subject. This is a subtotal of 3 x5 = 15 inputs from the accelerometers. In
addition, we used the following information from the Kinect skeleton data : the
position of the person in the room, the position of left and right hands, elbows
and hips, and the position of each hand relative to the corresponding shoulder.
This gives a subtotal of 3 x 9 = 27 inputs from the Kinect. So we have a total
number of 15 4 27 = 42 input values for each frame.

Signal Filtering. We used a 1Hz low-pass filter to only consider the low fre-
quency components of the subject’s movements. Hence, we mostly kept data
about the posture of the subject when performing an activity. Indeed, most of
the activities we are interested in have quite different postures.

Window Size Selection. After the signal has been filtered, we used a sliding
window to extract feature vectors. We tried window sizes between 10 and 100
samples, and chose the one that gave us the least validation error. We used the
absolute error € = |Yground truth — Ypredicted| t0 evaluate the training performance
of each single neural network for this step. Although not all activities have the
same optimal window size, we used a single window size for all activities (for
simplicity). We chose a window size of 30 samples, which was a good choice for
almost all activities. We tested two overlapping settings for our sliding windows:
50% and “99%” (just slide the window by one value). The windows are used to
sub-sample the original time-series by computing the mean.

Topology Selection. Since we used one-vs-all networks, specific to each activ-
ity, such networks have a single output unit indicating whether the input corre-
sponds to the execution of the given activity (1) or not (0). We used sigmoidal
output neurons, thus output values between 0 and 1 represent the neural net-
work’s certainty regarding the classification of a particular input pattern. Since
we found that networks with a single hidden layer were sufficiently complex for
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our classification problem, the topology selection consisted on (i) determining
the number of hidden units and (ii) selecting the inputs features.

Neural Network Complexity (hidden units). To determine the number
of hidden units used in our networks, we tried values between 1 and 8 and
performed a training/validation procedure using the whole dataset. From these
results, we chose for each activity, the best number of hidden units (e.i., the one
that minimizes the classification error); those numbers are reported in the table
below. Hidden units used the hyperbolic tangent function.

Table 1. Number of hidden units chosen for each activity

sweep floor drink brush teeth undress sleep dress read clean table pick up tidy up sit idle work
4 8 7 7 8 8 1 5 8 8 5 4

Binary Classifiers’ Inputs Selection. As an additional optimisation, for
each activity-specific neural network classifier, we used the sensitivity matrix
method [11] to select the subset of inputs with the highest relevance in the task
of one-vs-all classification, using the whole dataset. Figure [B] shows the set of
selected inputs for each activity-specific binary classifier.

Per-activity inputs selection
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Fig. 3. Matrix showing the selected inputs for each class. Each modality has 3 axis
(x, y, z). For each activity, we select a different set of inputs (rows). A black square
indicates that the input has been selected for the corresponding activity. On the left
are the features computed from accelerometers, on the right the features computed
from the Kinect (the red line shows the separation).

Binary Classifiers’ Training and Fusion. Each Multi-Layer Perceptron
(MLP) implementing an activity-specific one-vs-all binary classifier was trained
using the FENNIX software@, developed by one of the authors. In particular, we
used the Backpropagation algorithm [2] during 50 and 250 epochs, a decreasing
learning rate from 0.025 to 0.001, and a momentum term of 0.7. The output
of the ensemble of binary classifiers was the action having the highest classi-
fication certainty value (i.e., the highest activity-specific one-vs-all classifier’s
output value), provided that such a value was greater than 0.7. Otherwise, we
considered the recognized activity as being the none activity, which is a special
class for unknown activities.

4http://fennix.sourceforge.net
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4 Results

To evaluate the performance of our system, we compared it to a 10-NN (k
Nearest Neighbors) classifier, which is often used as a benchmark classifier for
activity recognition tasks. We chose & = 10 here because this gave the best
results after some limited testing of the values of k. We performed two-fold
cross-validation, by creating 10 different training/validation pairs by sliding the
training data window by 10% each time. Then, for each of the training/validation
pair, we performed 20 runs, where we trained our model using the corresponding
training set, and then proceeded to evaluate its validation performance, using the
rest of the dataset. Therefore, a total of 200 runs is performed per experiment. To
compute the resulting performance of the classifier, we used the average (over all
classes) of the f(1) score [8] shown in Equation[I] which estimates how accurately
it classifies a particular activity as such. In Equation [ precision = tpfffp,
recall = , 'P. | tp are the true positives, fp are the true negatives, and fn are

tp+fn’
the false negatives.

precision - recall

f)y=2 (1)

precision + recall
To fully profit from the use of both wearable and static sensors, we implemented
a model switching capability within the activity recognition system as follows:
given that the skeleton data provided by the Kinect has a quality flag for each
joint and frame, indicating the confidence in the reported joint position, when
this flag was low for most of the joints being tracked, we considered that the
Kinect data was not reliable and we relied on a model based only on the ac-
celerometers, to recognize the activity being performed. To achieve this, we
trained two models: one using both the wearable and the static depth-based
sensors, and a second one using only the wearable accelerometers.
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Fig. 4. Influence of model switching on classification performances (k-NN is shown for
comparison). There are two plots: one where we take the none class into account and
one where we do not. The window overlap parameter is indicated by the color. The
number on top of each boxplot show the value of the median, for ease of comparison.
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To evaluate the usefulness of model switching on our dataset, we compared the
performance of a model using only the accelerometers and the one of a model
using model switching. The results are shown on Figure El Notice that using
model switching improves performances by about 5% when using a single frame
window overlap (“99%”). The gain is less important when using a 50% window
overlap. One of the reasons that might explain this is that when using “99%”
window overlap, we have roughly 14 times more data (windows have a length of
30) to train our network. We can also see that using model switching allows us
to get performances very close to k-NN.

Figured shows the overall performances of our system with and without input
pruning. We see that input pruning based on the sensitivity matrix method [11]
gives us a considerable performance improvement (around 14%), when using a
“909%” window overlap, whereas the performance improvement is of around 7%,
when using a 50% window overlap. As we mentioned before, this is likely due to
the fact that having more window overlap means more training data. We also see
that we get performances that are comparable to k-NN, which is an encouraging
result, given that we do not use the whole dataset to classify the input patterns.

With none Without none
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Fig. 5. Classification performance (f(1)score) for our pipeline. On the left, k-NN is
used as a benchmark. There are two plots: one where we take the none class into
account and one where we do not. Then, in the middle of each plot, the performance
of our models without input pruning is shown and on the right are the results for
our models with input pruning. The window overlap parameter is indicated by the
color. The number on top of each boxplot indicates the value of the median, for ease
of comparison.

5 Conclusions

This paper presents an activity recognition system built using activity-specific
one-vs-all artificial neural networks. The experiments demonstrated that the
performance of the system is comparable with a k-NN classifier but with the ad-
vantage that, once trained, the training database can be discarded. This makes
it possible to use this kind of system on an embedded device like a smartphone
or a tablet. We also showed that input pruning and custom configuration of each
activity-specific model can be used to improve the performance of the system.
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Last but not least, we showed that the combination of wearable motion sensors
and static depth sensors can enhance not only the performance, but the robust-
ness of indoor activity recognition systems by taking advantage of one modality
when the other one is not reliable. Our results are quite encouraging, but further
tests with several subjects are required in order to verify to a greater extent the
generalization performance of such a system. Moreover, given that our aim is
to work towards activity recognition democratization, we will try to use as few
sensors as possible in the future.
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1 Introduction

Galois connections are ubiquitous; together with adjunctions, their close rela-
tives, occur in a number of research areas, ranging from the most theoretical
to the most applied. In a rather poetic tone, the preface of [§] reads, Galois
connections provide the structure-preserving passage between two worlds of our
imagination; and we should add that these two worlds can be so different that
the slightest relationship could be seldom ever imagined.

The term Galois connection was coined by Qystein Ore [29] (originally, spelled
connexion) as a general type of correspondence between structures, obviously
named after the Galois theory of equations which is an example linking subgroups
of automorphisms and subfields. Ore generalized to complete lattices the notion
of polarity, introduced by Birkhoff [4] several years before, as a fundamental con-
struction which yields from any binary relation two inverse dual isomorphisms.
Later, when Kan introduced the adjoint functors [19] in a categorical setting,
his construction was noticed to greatly resemble that of the Galois connection;
actually, in some sense, both notions are interdefinable. The importance of Ga-
lois connections/adjunctions quickly increased to an extent that, for instance,
the interest of category theorists moved from universal mapping properties and
natural transformations to adjointness.

When examining the literature, one can notice a lack of uniformity in the use
of the term Galois connection, mainly due to its close relation to adjunctions and
that, furthermore, there are two versions of each one. In this paper, after recalling
the different interpretations usually assigned to the term Galois connection, both
in the crisp and in the fuzzy case, we briefly survey on several of their applications
in Computer Science and, specifically, in Soft Computing.
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2 Galois Connections vs. Adjunctions

This section is devoted to establish the different definitions of Galois connection,
their characterization and the relation among them. For this purpose, the results
will be formulated in the most general framework of preordered sets, that are
sets endowed with a reflexive and transitive binary relation.

For a preordered set A = (A4, <), its dual set is AP = (A,>). We denote
at={rcA:x<a}anda’ ={z € A:z>a}. Let f: (A, <) = (B,<) be a
map between preordered sets.

— [ is isotone if a < b implies f(a)

<
— f is antitone if a < b implies f(b) <

f(b), for all a,b € A.
f(a), for all a,b € A. .

In the particular case in which A = B,

— f is inflationary (also called extensive) if a < f(a) for all a € A.

— [ is deflationary if f(a) < a for all a € A.

— fis idempotent if fo f=f.

— fis a closure operator if it is inflationary, isotone and idempotent.
— fis a kernel operator if it is deflationary, isotone and idempotent.

For a more detailed study of closure and kernel operators we refer to [7].

Definition 1 (Galois Connections/Adjunctions). Let A = (A4,<) and B =
(B, <) be preordered sets, f: A— B and g: B — A be two mappings. The pair
(f,g) is called

— Right Galois Connection between A and B, denoted by (f,g) : A—B, if
a<g(b)if only if b < f(a) forallac A andb € B.

— Left Galois Connection between A and B, we write (f,g) : A~—B, if
g(b) <aif only if f(a) <b forallac A andb € B.

— Adjunction between A and B, denoted by (f,g) : A = B, if
a < g(b) if only if f(a) <b foralla€ A and b € B.

— Co-Adjunction between A and B, denoted by (f,g) : A = B, if
gb) <aifonlyifb< f(a) foralla€ A andbe€ B.

All of the previous notions can be seen in the literature, in fact, one can even find
the same term applied to different notions of connection/adjunction. Although
it is true that the four definitions are strongly related, they do not have exactly
the same properties; hence, it makes sense to specifically describe what is the

! The arrow notation for the different versions is taken from [31].
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relation between the four notions stated above, together with their corresponding
characterizations.

The following theorem states the existence of pairwise biunivocal correspon-
dences between all the notions above. The transition between the two types
of adjunctions (connections) relies on using the opposite ordering in both pre-
ordered sets, whereas the transition between adjunctions to connections and vice
versa relies on using the opposite ordering in just one of the posets.

Theorem 1. Let A = (A4, <) and B = (B, <) be preordered sets, f : A — B and
g: B — A be two mappings. Then, the following conditions are equivalent

1. (f.9): A—B

2. (f,g) : A°P—B°P,
3. (f,9): A =Bep.
4. (f,9) : A" =B

Observe that, as a direct consequence of this theorem, any property about Galois
connections can be extended by duality to the other kind of connections.

Remark 1. Obviously, the ordering in which the mappings appear in the pair
determines the kind of Galois connection or adjunction. Thus,

1. (f,g) is a right (left, resp.) Galois connection between A and B if and only
if (g, f) is a right (left, resp.) Galois connection between B and A.

2. (f,g) is an adjunction between A and B if and only if (g, f) is a co-adjunction
between B and A.

Any preordered set (4, <) induces an equivalence relation in A defined as:
a1 ~ay ifandonlyif a1 <as and as <a; foraj,as € A. (1)

The notions of maximum and minimum in a poset can be extended to preordered
sets as follows: an element a € A is a p-mazimum (p-minimum resp.) for a set
XCAifae X and z < a (a <z, resp.) for all z € X. The set of p-maximum
(p-minimum) of X will be denoted as p-max X (p-min X, resp.). Observe that,
in a preordered set, different elements can be p-maximum for a set X, but, in
this case, a1, a2 € p-max X implies a1 ~ as.

Theorem 2. Let A = (4,<),B = (B, <) be two preordered sets, f : A — B and
g: B — A be two mappings. The following conditions are equivalent:

i) (f,9) : A=B.

it) f and g are antitone maps, and go f, f o g are inflationary maps.
i) fla)¥ =g~ (a") for all a € A.

) g(b)¥ = f=1(b") for all b € B.

v) f is antitone and g(b) € p-max f~1(b") for all b € B.

vi) g is antitone and f(a) € p-maxg~(a’) for each a € A.

Theorem [ and Theorem [ provide characterizations for the different Galois
connections/adjunctions that are summarized in Table [T}
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Table 1. Summary of definitions and equivalent characterizations

Galois Connections
Right Galois Connections between A and B Left Galois Connections between A and B

(f,9): A—B (f,9): A—DB
b< fla) & a<g(b) fla)<bsgb) <a
for alla € Aand b € B foralla € Aand b€ B
f and g are antitone and f and g are antitone and
go f and f o g are inflationary go f and f o g are deflationary
fla)* =g t(a) forallac A fl@)T =g Y(a‘) foralla € A
gt =f71@") forallbe B gt = f71 () forall b e B
f is antitone and f is antitone and
g(b) € p-max f~1(b") for all b € B g(b) € p-min f~1(b%) for all b € B
g is antitone and g is antitone and
f(a) € p-maxg~'(a®) for alla € A f(a) € p-ming~!(a*) foralla € A
Adjunctions
Adjunction between A and B co-Adjunction between A and B
(f,9):A=B (f,9): A=8
fla) <b<=a < g(b) b< f(a) & g(b) <a
for all a € A and b € B for alla € A and b € B
f and g are isotone, f and g are isotone,

g o f is inflationary and f o g is deflationary g o f is deflationary and f o g is inflationary
fla)t=g Y (a") foralla e A fla)¥ =g '(a*) foralla e A
gb)yr = 1Y) forallb e B g =71 forall be B

f is isotone and f is isotone and

g(b) € p-max f~1(b%) for all b € B g(b) € p-min f~1(b") for all b € B
g isotone and g is isotone and

f(a) € p-ming~'(a) for all a € A f(a) € p-max g~ (a) for all a € A

Theorem 3. Let A = (A,<),B = (B, <) be two preordered sets, f : A — B
and g : B — A be two mappings. If (f,g): A=B, where = € {— —, =,=},
then, (fogo f)(a) = f(a), for alla € A, and (go fog)(b) = g(b) for allb € B.
Moreover,

1. If (f,g) is a left and right Galois connection (adjunction and co-adjunction
resp.) then (go f)(a) = a for alla € A and (f og)(b) = b for allb € B.

2. If (f,9) is a (left or right) Galois connection and a (co-) adjunction then
flar) = f(az) for all a1,a2 € A with a1 < az, and g(b1) =~ g(ba) for all
b1,by € B with by < by.

Moreover, for any preordered set A = (A, <), the quotient set A/~ with the
relation defined as “[a;] < [az2] iff a1 < ao” is a partial ordered set (poset) denoted
as A/~. Theorem [ allows to translate Galois connections to the quotient posets
as follows.

Theorem 4. Let A = (A, <) and B = (B, <) be two preordered sets and let = €
{=— ==} If (f,g9) : A = B then (f.,9.): A/x = B/~ where f_([a]) =
[f(a)] and g_([b]) = [9(b)] for alla € A and b € B.

Since any equivalence relation is a preorder, Galois connections between two sets

endowed with equivalence relations can be considered. But the properties that
we obtain on these cases are not significative as the following corollary shows.

Corollary 1. Let A = (A,<),B = (B, <) be two preordered sets, f : A — B
and g : B — A be two mappings.



228 F. Garcia-Pardo et al.

1. (f,g) is a left and right Galois connection (adjunction and co-adjunction,
resp.) if and only if f_ and g. are inverse mappings (g. = f_*).

2. (f,g) is aright and left Galois connection, and adjunction and a co-adjunction
if and only if both relations < are equivalence relations and f_ and g_ are
inverse mappings.

Example 1. Consider the set P of propositional logic programs on a finite set
{p1,p2,...,pn} of propositional symbols, and B™ the set of chains of n digits,
which will be interpreted as assignments of truth-value to the corresponding
propositional symbol. Define P; < Py if and only if their least models satisfy
Im(Py) C Im(P3). This relation is reflexive and transitive, but not antisymmetric.

We define a mapping f: P — B* by assigning to each program P the chain
of Boolean values corresponding to the least model of P. Conversely, a mapping
g: B* — P assigns to each chain in B* the (trivial) program consisting just of
the fact corresponding to the propositional symbols with truth-value 1. It is not
difficult to check that (f,g) is both an adjunction and a co-adjunction. O

In the particular case of posets, from Theorem [B] and Theorem 2, we obtain:

Theorem 5. Let A = (A, <) and B = (B, <) be posets. If (f,g) : A = B where
= e {=,=} then gofog=g and fogof=f and therefore

— If (f,9): A—=B then go f and f o g are closure operators.
— If (f,9): A~—~DB then go f and f o g are kernel operators.
— If(f,9): A =B then gof is a closure operator and fog is a kernel operator.
— If(f,9): A =1 then go f is a kernel operator and fog is a closure operator.

3 Fuzzy Galois Connections

Since Lotfi Zadeh introduced Fuzzy Set Theory by considering the unit interval
as truthfulness/membership degree structure, a wide range of algebraic struc-
tures has been used to this aim. The most usual structure in this context is
that of residuated lattice, L = (L,V, A, 1,0,®,—), introduced in the 1930s by
Dilworth [9] and used in the context of fuzzy logic by Goguen [I4]. Thus, an
[L-fuzzy set is a mapping from the universe set to the membership values struc-
ture X: U — L where X (u) means the degree in which = belongs to X. Given
X and Y two L-fuzzy sets, X is said to be included in Y, denoted as X C Y,
if X(u) < Y(u) for all w € U. An L-fuzzy binary relation on U is an L-fuzzy
subset of U x U, p: U x U — L, and it is said to be:

— reflexive if p(a,a) =1 for all a € U.

transitive if p(a,b) ® p(b,c) < p(a,c) for all a,b,c € U.

— symmetric if p(a,b) = p(b,a) for all a,b € U.

— antisymmetric if p(a,b) = p(b,a) = 1 implies a = b, for all a,b € U.

An L-fuzzy preordered set is a pair (U, py) in which py is a reflexive and transitive
L-fuzzy relation. A (crisp) preordering can be given from (U, pyy) by considering
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its 1-cut (a <y b iff py(a,b) = 1). If py is antisymmetric then (U, py) is said to
be an L-fuzzy poset and, in this case, (U, <y) is a (crisp) poset. From now on,
when no confusion arises, we will omit the prefix “IL-".

For any fuzzy preordered set U = (U, py), its dual fuzzy preordered set is
defined as U? = (U, p;;') where p;*(a,b) = py(b,a) for all a,b € U.

For every element a € U, the fuzzy extension of upper and lower closure a'
and a*: U — L are given by a*(u) = py(u,a) and a'(u) = py(a,u) for all u € U.

A p-mazimum (resp. p-minimum) for a fuzzy set X is an element a satisfying

— X(a) =1 and
— X Ca* (vesp. X Cal).

Observe that p-minimum and p-maximum elements are not necessarily unique.
If the fuzzy relation is antisymmetric, then p-maximum (minimum, resp.) is a
singleton.

Let A = (A, pa) and B = (B, pp) be fuzzy preordered sets. A mapping f: A —
B is said to be

— idsotone if pa(a1,a2) < pp(f(ar), f(az)) for each a1,aq € A.
— antitone if pa(ar,a2) < pp(f(az), f(a1)) for each a1,as € A.

Moreover, a mapping f: A — A is said to be

— inflationary if a <4 f(a) for all a € A.
— deflationary if f(a) <a a for all a € A.

The definition of idempotent mapping, closure operator and kernel operator
follows in the same way as crisp case.

Definition 2 (Fuzzy Galois Connections/Adjunctions). Let A = (4, pa),
B = (B, pB) be fuzzy preordered sets, f : A — B and g : B — A be two mappings.

):A—B, if pala,g(d) = pp(b, f(a)) foralla € A and b € B.
) A—B, if pa(g(d),a) = pp(f(a),b) for alla € A and b € B.
):A=DB, if pala,g(b)) = pp(f(a),b) for alla € A and b € B.
):A=DB, if pa(g(b),a) = pp(b, f(a)) for alla € A and b € B.

Remark 2. Theorem [ can be straightforwardly extended to the fuzzy case and,
therefore, any property given for fuzzy Galois connection can be translated to
the other cases.

- (fr9
- (f7
- (fr9
—(f,9

As far as we know, all the fuzzy extension of the notions of Galois connections
(and adjunctions) in the literature are given on the particular case of considering
the fuzzy poset (with the properties induced by the truthfulness values structure)
in which elements are fuzzy sets and the fuzzy relation is related to the assertion
"to be a subset of" in a fuzzy setting (see Equation 2I).

Ezample 2. Let L = (L,V,A,1,0,8,—) be a complete residuated lattice and U
be the universe set. Then (LY, U, N, U, @, ®, —) is a complete residuated lattice
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where (XUY)(u) = X (u)VY (u), (XNY)(u) = X (u)AY (u), @(u) =0, U(u) =1,
(XeY)(u)=X(u)@Y(u) and (X = Y)(u) = X(u) = Y(u) for all u € U.
The L-fuzzy binary relation “to be a subset of” is defined as follows

SX,Y) = N\ (X(u) > Y(w) (2)

uelU

Thus, the inclusion of fuzzy sets C can be obtained form S as follows: X C Y if
and only if S(X,Y) = 1. Observe that (LY, C) is a complete lattice.
Let f: A— B be a mapping, f: LA - L? and f~!: L® — LA defined as

FX)O) = \{X@) | fx)=b} [ (Y)(@) =Y(f(a) 3)
for all b € B,a € A. Then, (f, f~1): (L4, 9) = (LB, 9).

Notation 1 From now on, we will use the following notation just introduced in
@@): for a mapping f: A — B and a fuzzy subset Y of B, the fuzzy set f=1(Y)
is defined as f~1(Y)(a) = Y (f(a)), for all a € A.

Ezample 8 (See [2]). Let L = (L,V,A,1,0,®, —) be a complete residuated lat-
tice. Let A, B be two sets and I: A x B — L be an L-fuzzy relation. For all
X eLA and Y € LB, define

x40 = N\ (X(a) > I(a,b))  YV(a)= /\ (Y(b) = I(a,]))

acA beB
The pair (©,V) is a fuzzy Galois connection between (L4, S4) and (L2, Sg). O

Theorem 6. Let L = (L,V,A,1,0,®,—) be a complete residuated lattice, A =
(A,pa),B = (B, pp) be L-fuzzy preordered sets and f : A — B and g: B — A
be two mappings. The following conditions are equivalent:

i) (f,9): A=B.

it) f and g are antitone maps, and go f, f o g are inflationary maps.
iii) f(a)¥ = g=*(al) for all a € A.

i) g(b)¥ = f~(b") for all b € B.

v) f is antitone and g(b) € p-max f~1(b") for all b € B.

vi) g is antitone and f(a) € p-maxg~(a’) for each a € A.

Proof. According to Remark [ it suffices to prove that 4),4i),4ii) and v) are
equivalent. Observe that f(a)*(b) = pg(b, f(a)) and g~ (a’)(b) = pa(a, g(b)) by
the definition (see Notation[) then i) and ii¢) are trivially equivalent.

i) = ii) Let a € A. As pp is reflexive, 1 = pp(f(a), f(a)) and by hypothesis,
pala,g(f(a))) = pa(f(a), f(a)) = 1, thus, go f is inflationary. Given ay, as €
A, it holds that pa(a1,a2) = pa(ar,a2) @ 1 = pa(ar,az) @ palaz, g(f(az))).
Being p4 transitive, pa(ai, az) < pa(ar, 9(f(az))) = pp(f(az), f(a1)). That
is, f is antitone. Similarly, we prove that fog is inflationary and g is antitone.
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ii) = v) f is antitone, by the hypothesis. For all b € B, since f o g is infla-
tionary, 1 = pB(b,f(g(b))) = f71(b")(g(b)). On the other hand, since pa
is transitive, g()'(a) = pa(a,g(8) < pa(a 9(f(@) ® palg(f(a)), o(b).
As go f is inflationary and g antltone g(b)* ( ) < 1®palg(fla)),g(d) =
pa(g(f(a)),g(b)) = pr(b, f(a)) = f1(b7)(a).

v) = i) It is sufficient to prove that pB(b f(a) = pa(a,g(b)). Firstly note that
F71(N)(g(b)) = 1 is equivalent to f o g being inflationary. Then,

pe(b, f(a)) = pp(b, f(9(0)) @ pB(f(9(b), f(a))

=1® pp(f(g(b)), f( ) = pala,g(b))
O

Remark [2land Theorem [6] provide similar characterizations for the different fuzzy
Galois connections/adjunctions that are summarized in Table [II

As we have mentioned at the beginning of this section, any fuzzy preordered
set A = (A, pa), defines a (crisp) preordered set A, = (A4, <4) where a <4 b iff
pala,b) = 1. It is also straightforward that the pair A/~ = (A/~, pa.) where &
is the equivalence relation given by

a = b if and only if pa(a,b) = pa(b,a) =1 (4)

and pa,. is defined as pa_([a],[b]) = pa(a,b) is a fuzzy poset. Moreover, any
mapping f between fuzzy preordered sets defines a mapping f_ between the
quotient poset in the same way as in Theorem @l

Theorem 7. Let A = (A, pa) and B = (B, pp) be two fuzzy preordered sets and
two mappings f: A — B and g: B — A. Then, for = € {~ +«—,=,=},

1. (f,g) : A=B implies (f,9): Ac=Be.
2. (f,9): A=DB if and only if (f.,9.): AJx=DB/~.

The following example shows that the converse of item [l above is not true.

Ezample 4. Let L be the (product) residuated lattice ([0, 1],sup,inf, 1,0, -, —).
Let A = (A, pa) such that A = {a, b}, pa(a,a) = pa(b,b) =1, pa(a,b) = 0.5 and
pa(b,a) = 0.2 and let I be the identity mapping on A. Then (I,1): A.— A, but
(I,1) is not a Galois connection between A and A because 0.5 = pa(a, (b)) #
pa(b,I(a)) =0.2. O

Observe that, contrariwise to the crisp case, nontrivial fuzzy relations exist that
are both equivalencies and partial orders. They are known as fuzzy equalities
and are strongly reflexive (p(a,b) = 1 iff a = b), symmetric and transitive fuzzy
relations. Obviously, in these cases, antitone and isotone maps coincide. But
there exist nontrivial mappings between fuzzy posets (not fuzzy equalities) that
are both antitone and isotone as the following example shows.

Ezample 5. Let L be the (product) residuated lattice ([0, 1],sup,inf, 1,0, -, —).
Cousider A = ({a, b, ¢}, p) such that p is the L-fuzzy preorder given by the table
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below, then the map f: A — A with f(a) = f(¢) = b and f(b) = a is antitone
and isotone.
pa b c

a 1 050.3
b0.5 1 0.2
c020.1 1

Theorem 8. Let A = (A,pa) and B = (B, pg) be fuzzy preordered sets and
= e {—~—=,=} If (f,9): A=B then, for all a € A/b € B, the following
relations hold (f o go f)(a) = f(a) and (go f o g)(b) =~ g(b). Moreover,

— If (f,q) is both left and right Galois connection (resp., adjunction and co-
adjunction) then (go f)(a) = a and (fog)(b) = b for alla € A and b € B.

— If (f,9) is a (left or right) Galois connection and a (co-) adjunction then, for
all ay,a2 € A, palar,a2) = 1 implies f(a1) = f(az) and, for all by,by € B,
pB(b1,b2) =1 implies g(br) ~ g(b2) -

Corollary 2. Let A= (A, pa) and B = (B, pp) be two fuzzy posets.

— If (f,9): A—=B then go f and f o g are closure operators.
— If (f,g9): A~~B then go f and f o g are kernel operators.
— If (f,g9): A= B then go f is closure operator and f o g is kernel operator.
— If (f,9): A= then go f is kernel operator and f o g is closure operator.

4 Applications to Computer Science and Soft Computing

Out of the plethora of applications of Galois connections that can be found in
CS-related research topics, we have selected just a few to comment a little bit
about them. Applications range from the mathematics of program construction
to data analysis and formal concept analysis.

Program Construction. Some authors propose the use of Galois connections
(actually, adjunctions), as suitable calculational specifications: in [25] one can see
how to simplify and easily handle data structures problems when using Galois
connections. On the other hand, [27] considers them as program specifications,
helping in the process of deriving and using an algebra of programming. Another
common usage is based on that a Galois connection is a correspondence between
two complete lattices that consists of an abstraction and concretisation functions.

Constraint Satisfaction Problems (CSPs). In this context, a well-known
Galois connection between sets of relations and sets of (generalized) functions
was used in [I8] to investigate the algorithmic complexity of CSPs. Continuing
this idea, [6] established a link between certain soft constraint languages and
sets of certain sets determined by algebraic constructs called weighted polymor-
phisms, resulting in an alternative approach to the study of tractability in valued
constraint languages. This approach was recently used in [20] generalizing the
notions of polymorphisms and invariant relations to arbitrary categories.
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Logic. There are strong links between Galois connections and logic. The first
one arose in Lawvere’s paper on the foundational value of category theory. This
is made explicit in [30] which formally defines a Galois Connection (adjunction)
between sets of sentences and classes of semantic structures.

In [I7] the Information Logic of Galois Connections (ILGC) is introduced as a
convenient tool for approximate reasoning about knowledge. Actually, they use
adjunctions introduced as generalized rough approximation operations based on
information relations. ILGC turns out to be the usual propositional logic together
with two modal connectives. This natural inclusion of modal connectives in the
framework, enables the study of such as intuitionistic logic [33I11].

Mathematical Morphology. Galois connections can be seen as well in the math-
ematical structure of morphological operations, in the research area known as
mathematical morphology. In [15] the authors note the duality between the mor-
phological operations of dilation and erosion, and identify them as the components
of an adjunction (by the way, making the proper distinction between Galois con-
nections and adjunctions). Originally, mathematical morphology was applied on
binary images, but later extended to grayscale by applying techniques from the
fuzzy realm, specifically, using fuzzy Galois connections (adjunctions); a survey
on classical and fuzzy approaches of mathematical morphology can be found in
[28]. Later, in [22] a further generalization based on lattices is given aimed at uni-
fying morphological and fuzzy algebraic systems. The benefits of considering the
different links, in terms of Galois connections, that can be established is exploited
in [5], clarifying the links between different approaches in the literature and giv-
ing conditions for their equivalence. Recently, mathematical morphology is being
studied using ideas and results from formal concept analysis [IJ.

Information Processing and Data Analysis. Another use of Galois connec-
tions (adjunctions) can be seen in [12], where Galois connections are generalized
from complete lattices to flow algebras (an algebraic structure more general than
idempotent semirings, in which distributivity is replaced by monotonicity and
the annihilation property is ignored).

Another interesting application can be found in the theory of relational sys-
tems: in [I6] it was shown that every Galois connection between complete lattices
determines an Armstrong system (a closed set of dependencies). More recently,
[21] proved the converse, for any given Armstrong system it is possible to define
a Galois connection which generates the original Armstrong system.

In [32] the author focuses on the different applications of Galois connections
(both types, termed polarities and axialities) to different theories of qualita-
tive data analysis. Specifically, the paper studies some links between axialities
(adjunctions) and the area of data analysis.

Formal Concept Analysis (FCA). The notion of polarity, given by Birkhoft,
is precisely that used by Ganter and Wille in order to define the derivation
operators in crisp FCA. In this context, it is well-known that the concept lattices
induced by Galois connections and by adjunctions are naturally isomorphic.
Authors indistinctly use one or the other approach, for instance [26] considers



234 F. Garcia-Pardo et al.

the problem of attribute reduction by using axialities (adjunctions) inspired by
the reduction method in rough set theory.

The introduction of fuzzy Galois connections [2] lead to the systematic devel-
opment of fuzzy FCA. In this framework, the fuzzy concept lattices generated
from Galois connections and from adjunction need not be isomorphic. In [3] it
is shown that the expected isomorphism depends largely on the way the notion
of a complement is defined, the usual based on a residuum w.r.t. 0, is replaced
by one based on residua w.r.t. arbitrary truth degrees.

Different extensions of fuzzy FCA consider even more general frameworks,
some of them use a sub-interval rather than a precise value of the lattice to refer
to what extent an object satisfies an attribute [I0I23]. Usually, these extensions
require to provide a sound minimal set of algebraic requirements for interval-
valued implications in order to obtain a Galois connection. Anyway, there are
approaches in which this vicissitude can be circumvented [24].

5 Conclusions

We have surveyed some applications of Galois connections and adjunctions in
Computer Science and Soft Computing. The greater generality of the fuzzy case,
which allows to see a single crisp notion from very different perspectives, suggests
that it is worth to consider these notions either in a more general setting or by
weakening its requirements [13].
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Abstract. In this work, a proximity-based generic method for discovery
of generalized knowledge is presented and implemented in the framework
of a fuzzy logic programming language with a weak unification procedure
that uses proximity relations to model uncertainty. This method makes
use of the concept of A-block characterizing the notion of equivalence
when working with proximity relations. When the universe of discourse
is composed of concepts which are related by proximity, the sets of A-
blocks extracted from that proximity relation can be seen as hierarchical
sets of concepts grouped by abstraction level. Then, each group (form-
ing a A-block) can be labeled, with user help, by way of a more general
descriptor in order to simulate a generalization process based on prox-
imity. Thanks to this process, the system can learn concepts that were
unknown initially and reply queries that it was not able to answer. The
novelty of this work is that it is the first time a method, with analogous
features to the one aforementioned, has been implemented inside a fuzzy
logic programming framework. In order to check the feasibility of the
method we have developed a software tool which have been integrated
into the Bousi~Prolog system.

Keywords: Fuzzy Logic Programming, Proximity/Similarity Relations,
Discovery of Generalized Knowledge.

1 Introduction

Logic programming is a declarative programming paradigm well suited for knowl-
edge representation and the inference of new knowledge from old one. However,
logic programming does not allow to represent and to manage vagueness in a
natural way due to the lack of specific tools and, particularly, by its rigid query
answering process. This may be a real limitation when modeling some problems.
By instance, logic programming has not a direct ability to manage concepts
which are related by its meaning. Hence, it would be interesting to have mech-
anisms allowing to relate approximate knowledge inside a domain and to grade
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such a relation in the context of a logic programing framework. This was the
aim that motivates the apparition of similarity-based logic programming [4/10]
and proximity-based logic programming [7].

A practical realization of both approaches is BousiNProlog (BPL, for short)
[8], a fuzzy logic language where the classical unification algorithm used in
logic programming has been replaced by a new algorithm based on proxim-
ity /similarity relations. Hence, its operational mechanism is a variant of the SLD
resolution rule introduced in [I1]. We have studied how to apply Bousi~Prolog
for: flexible query answering, advanced pattern matching [6], information retrieval,
where textual information is selected or analyzed using an ontology, text cata-
loging [5], flexible data bases, knowledge-base systems or approximate reasoning [g].
The following example helps to understand the main aspects of the syntax and
semantics of this language.

Ezxample 1. Suppose a fragment of a database that stores a semantic network
with information about people’s names and eye colors, as well as the approximate
relation between black, brown, green and blue eyes.

% BPL directive

:— transitivity(mo).

% FACTS

is_a(john, person). is_a(peter, person). is_a(mary, person).
eye_color (john,black). eye_color (peter,brown) . eye_color(mary,blue) .

% PROXIMITY EQUATIONS
black™ brown =0.8. green"gray =0.8. gray blue =0.8.
brown“green =0.5. brown~gray =0.5. green"blue =0.5. brown"blue =0.2.

In a standard Prolog system, if we ask about whether mary’s eye color is green,
“?- eye color(mary, green)”, the system fails. However Bousi~Prolog allows
us to obtain the answer “Yes with 0.5”. This is because the BPL system is
capable of using the proximity equations for the inference process.

The fact of relating concepts by their meaning, throw open the door to man-
age linguistic phenomena based on those relationships. For instance: synonymy,
antonymy or generality. In this work the spotlight becomes focussed on the last
concept.

In a proximity /similarity-based logic programming framework, because of the
use of proximity equations in order to relate concepts, we can extract new gen-
eralized knowledge from those proximity equations. To be specific, we are inter-
ested in the automatization of this generalization process. Therefore the aim of
this paper is to present a proximity-based generic method for the discovery of
generalized knowledge in the framework of a fuzzy logic programming language
with a weak unification procedure that uses proximity equations to model un-
certainty. More precisely, we want to implement this method and to integrate it
within the BPL system.

! Bousi~Prolog is publicly available at the URL: http://dectau.uclm.es/bousi
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Providing the BPL system with this ability improves its operational mecha-
nism, supporting inductive learning of new concepts and, hence, the power to
infer new knowledge that the system was unable to infer initially. Then, this is
an additional step towards the goal of consolidating Bousi~Prolog as a true pro-
gramming language for soft computing, in general, and computing with words,
in particular, since the generalization process is part of ordinary reasoning and a
system aiming at to fit the computing with words agenda should manage these
cognitive process.

2 Knowledge Generalization and Related Work

Generalization is a fundamental property for human reasoning. Given two con-
cepts, C1 and Ca, C; is a generalization of Cy if (i) each instance of Cy is also a
instance of Cp; (ii) there exists instances of Cy which are not instances of Ca.
Equivalently, it is said that Cs is a specialization of C;. For example, “animal” is
a generalization of “bird” because every “bird” is an “animal”, and there are ani-
mals which are not birds. Linguistic generalization/specialization is well defined
by means of the pair superordinate/hyponym.

In software systems, generalization processing has been handled with many
different techniques. Particularly, it has been performed using thesauri that pro-
vide the pair superordinate/hyponym or ontologies where a hierarchy relation
between concepts is represented and supported. Another solution has been the
abstraction of knowledge from specific knowledge [9].

In order to carry out this task, data mining techniques have been employed,
which simulate the generalization process from the mined data selected accord-
ing to a criterion. The output of this process is a hierarchy, structured by levels,
where the top level contains the most general data and the next levels contains
more specific data. Ideally, the bottom level contains the initial mined data. For
example, given the data set {“Sweden”, “Denmark”, “United Kingdom", “Ger-
many”, “France”, “ltaly”, “Spain”, "Portugal”}, it can be performed a general-
ization process such that the original set is divided in the subgroups { “Sweden",
“Denmark”, “United Kingdom”}, {“Germany”, “France”} and {“Italy”, "Spain”,
“Portugal” }, attending to a location criterion, and then, respectively assigned
to them the more general descriptors: “Northern Europe”, “Western Europe”,
and “Southern Europe”. Finally these concepts, in the new abstraction level, are
also grouped and the more general descriptor “Europe” is assigned to the new
aggregation. This technique is named “attributed-oriented induction” [3] and it
allows to obtain a concept hierarchy starting from the elemental data available
in the considered system. A fuzzy extension of this technique was applied in
[1] for the discovery of abstract knowledge in fuzzy databases. In that work
similarity classes were used as grouping units. We aim to extend the reach of
this mechanism and transfer it to a fuzzy programming framework that works
with proximity relations, allowing the discovery of concepts starting from the
proximity A-blocks which characterize this kind of fuzzy relations.
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3 Proximity Relations

A binary fuzzy relation on a (crisp) set U is a fuzzy subset on U x U (that is, a
mapping U x U — [0, 1]). If R is a fuzzy relation on U, the A\-cut Ry = {(x,y) |
R(z,y) > A} (which is an ordinary relation on U). There are some important
properties that fuzzy relations may have: Reflexive, if R(z,z) = 1 for any
x € U; Symmetric, if R(x,y) = R(y,x) for any z,y € U; and Transitive, if
R(z,z) > R(z,y) A R(y,z) for any z,y,z € U (where the operator ‘A’ is the
minimum of two elements).

A proximity relation is a binary fuzzy relation which is reflexive and symmet-
ric. A proximity relation is characterized by aset A = {\1,..., A, } of approxima-
tion levels. We say that a value A € A is a cut value. A special, and well-known,
type of proximity relations are similarity relations, which are nothing but transi-
tive proximity relations. There exists a close relation between similarity relations
and equivalence relations: the A-cut of a similarity relation R on U, R, is an
equivalence relation on U. Proximity relations are more complicated in this re-
spect. For a proximity on a set U, the notion of equivalence class splits into two
different concepts: the blocks and the classes of proximity. Given a proximity re-
lation R on a set U, a prozimity block of level A (or Ad-block) is a subset of U such
that the restriction of Ry to this subset is a total relation, and maximal with
this property. The effective computations of A-blocks in a proximity relation is a
difficult matter which is linked with the problem of finding all maximal cliques
on an undirected graph [2]. On the other hand, the prozimity class of level \ (or
A-Class) of an element x € U is the subset Ky (2z) = {y € U | R(z,y) > A} of
those elements of U that are approximate to z (at a certain level \). Observe
that, for the special case of a similarity relation, A-blocks and A-classes coalesce.
Hence, in this case A-blocks can be computed efficiently computing the corre-
sponding A-classes. The following example illustrate the concept of A-block in a
proximity relation.

10 [black | brown | blue | | gray | green |

0.8 [ black bro;vn| | blue gré;f | g;;éy | green |

05 | black \brownl blue | gray gray | green
brown | blue_

0.2 | black | brown | gray lgreen

blue | brown

Fig. 1. Blocks diagram for the proximity relation of Example
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Ezample 2. Let R be the proximity relation generated by the proximity equa-
tions in Example [Il Figure [ describe “level by level” the blocks structure of
this proximity relation, which is characterized by a set A = {0.2,0.5,0.8,1} of
approximation levels. In particular, for the cut value A=0.5, there exist three
blocks of level 0.5:

BY5 = {brown, green, gray}, BY5 = {green, gray, blue}, B> = {black, brown}.
On the other hand, the classes of level 0.5 for each one of the elements are:

Ko.5(black) = {black, brown}.

Ko.5(brown) = {brown, black, gray, green}.
Ko.5(blue) = {blue, gray, green}.
Ko.5(gray) = {gray, blue, green, brown}.
Ko.5(green) = {green, gray, blue, brown}.

Note also that the block diagram of Figure [I] determines completely R.

In this paper we are interested in proximity relations on syntactic domains repre-
senting concepts. When the universe of discourse is composed of concepts which
are related under a particular abstraction criterion, a proximity relation can
model the closeness of this concepts. Then, the sets of A-blocks extracted from
that proximity relation can be seen as sets of concepts grouped by abstrac-
tion criterion that form a hierarchy of abstraction levels. Then, each A-block
can be labeled by way of a more general descriptor in order to simulate a
generalization process based on proximity relations.

Ezample 3. Attending to an abstraction criterion of location, the relationships
between the concepts of the set {canada,usa, mexico}, can be model by a prox-
imity relation whose entries may be: R(canada, usa) = 0.8, R(canada, mexico) =
0.5 R(usa, mexico) = 0.8, which is characterized by the set A = {0.5,0.8,1}
of approximation levels. At level A = 0.5, there exist only one block BY-5 =
{canada,usa, mexico} that can be labeled by the more general descriptor
“north america”.

4 A Generic Approximation

The management of a generalization process in the context of a fuzzy logic
language based on weak unification pass through representing generalization
in an explicit way by means of the addition of specific proximity equations.
On the contrary, some difficulties can arise when launching queries where a
generalization process is involved. For instance, considering Example[T] if we ask
about people with “light” eyes, the system is unable to answer that query because
the generalized information that green, blue or gray eyes are light eyes was not
modeled. A solution to this problem, as we are proposing, would be to produce
the additional proximity equations thru a semi-automatic generalization process
able to classify concepts into groups on the basis of user choices identifying each
concept with a more general descriptor.
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In the sequel, we propose a method to handle the generalization process in
the context of a proximity-based logic programing language. In order to do that,
it is necessary an algorithm capable to obtain proximity A-blocks. Informally,
a step by step definition of the method is as follows: 1) start from a set of
proximity equations (defined by a user or taken from a thesaurus); 2) generate
a proximity or a similarity relation to suit; 3) execute the algorithm to generate
proximity )\-blocksg; 4) the concepts grouped by A-blocks which are susceptible
to generalization are labeled by means of a unique abstract descriptor identifying
each one among the others (this step needs human intervention); 5) new prox-
imity equations are generated, putting in relation this new abstract descriptor
with each element belonging to the generalized set described by that descriptor,
thus completing a hierarchy level; 6) the new set of proximity equations, char-
acterizing a hierarchy of concepts, are loaded into a fuzzy logic programming
system based on weak unification. Then, these new concepts can participate
in the inference process, allowing the programmer to launch queries on con-
cepts that were initially unknown for the system and that have been generated
semi-automatically.

black brown green gray blue
0|1 2 |3 4
black | 0 0.8
brown | ] 0.5/05]0.2
green | 2 0.8) 05
gray |3 0.8
blue 4
[a=08| [a=05] [a=02]
a v "

Fig. 2. Generating Proximity Blocks

The formalization of some aspects of this method are discussed next. First, we
define an algorithm that automatically computes a hierarchy of concepts from
the set of proximity equations.

2 Note that, for the special case of similarity relations, A-classes will be used instead
of A-blocks.
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Algorithm 1
Input: A set of proximity equations, E, and a set of
approximation levels A= {A1,...,An}.
Output: A hierarchy of proximity blocks, J.
Inicialitation: J :=0; R := generateProximityRel(E).
for each level X € A:
1. PB*:=generateProximityBlocks(R»)

2. insert PB* in J
Return J

where generateProximityBlocks is a procedure that generates all blocks of a
certain approximation level. This procedure is based on a fuzzy version of the
well-known algorithm for finding all maximal cliques of an undirected graph [2].
This works like a fuzzy clustering algorithm based on lambda-cuts of R, i.e., in
each step cliques of elements connected by proximity are computed.

The following items show the behavior of the initial steps of our method and
Algorithm [I] for the particular case of Example [}

1. A set A of proximity levels is created from a set of proximity equations. In
this case: A4 = {1.0,0.8,0.5,0.2}.

2. Each element (constant, function or predicate symbol) occurring in a proxim-
ity equation is added to an array A. In the present case: A = {black, brown,
green, gray, blue}. Then, a graph G of dimension N x N (being N the length
of the array) is created (see Figure[2l). The graph G is representing the prox-
imity relation R induced by the set of proximity equations.

3. Afterwards, a crisp subgraph G representing the A-cut of R is created, the
idea is that two elements of A are connected at level A if: G[i][j] > X or
Gyl > A (1,j=1,...,N). This is the input for the generateProximityBlocks
procedure, that, as it was mentioned, computes all maximal cliques (\-
blocks) of the crisp subgraph. For instance, given the subgraph:
Go.s = {G[black][brown], G[green|[gray], G[gray][blue]}, the maximal cliques
C1 = {black,brown}, Co = {green,blue}, C3 = {green, gray} are obtained.
Figure 2l gives a partial intuition of how this is done: note that cliques (0.8-
blocks) are maximal connected subgraphs where each element of a clique is
connected with the other elements.

4. Finally, a hierarchy of the corresponding A-blocks is built at each iteration
step, as previously was formalized in Algorithm [

Once we have got the hierarchy of proximity blocks J, the second step con-
sists in the selection of some A-block By € PB* C J and the later labeling of
it with an abstract descriptor dj. Then, for each element e; € B,i‘, we gener-
ate the proximity equation “e; ~ dr = «;i”, where the approximation degree
o = R(ej, dy) is computed as follows: 1) the user selects a set R = {r1,...,r,}
of typical representative elements in B,;\ that best fit the notion described by dg;
i) ajp = (1/n) Y1 R(ej,7;), that is, an average of the closeness of e; w.r.t. the
considered representative concepts of the block. Note that, if an element e; is
related to the elements of a set D = {ds,...,d,,} of abstract descriptors, the ap-
proximation degree o should be normalized to the value a;k = i/ Yoimq Qi
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in order to fulfill the consistency criterion: >_."; R(e;,d;) = 1. Later, the set
of proximity equations automatically generated can participate in the inference
process of a fuzzy programing language based on weak unification.

Ezample 4. For the proximity relation in Example [Il the 0.5-blocks generated
by the above mentioned algorithm are: B> = {brown, green, gray}, B> =
{green, gray, blue} and BS-> = {black,brown}. Then the user might assign the
more general descriptors “mixed” to BY-®, “light” to B9-® and “dark” to BY-5.
Also, he might choice the following sets of representative elements: {brown} for
BY5. {gray,blue} for B> and {black} for BS->. Then, after this choice phase,
our method generates the additional proximity equations:

mixed“brown=0.48. mixed“green=0.6. mixed~gray=0.45. dark~brown=0.52.
light“green=0.4. light“gray=0.55. light“blue=1.0. dark™black=1.0.

These proximity equations can be load into a proximity-based logic programming
system, as is the case of Bousi~Prolog, so when asking the system about people
who have “light” eyes, the system will answer “X=mary” with approximation
degree 1.0.

Note that this technique can be seen as a generalization process where the user
controls the selection of the more appropriate descriptor for a proximity A-block.
More widely, this method can be understood as an abstraction process which:
1) improves, by means of data summaries, the comprehension of the ontology
defined by the proximity equations; and 2) gives the user more freedom in or-
der to define his own generalization. Finally observe that, when the proximity
relation R is a similarity, the notion of “proximity block”, used in the descrip-
tion of Algorithm [Il becomes a “similarity class” which can be computed more
efficiently.

5 A Tool for Discovery of Abstract Knowledge

For the practical materialization of the generalization method described in the
last section, a tool (see Figure B]) has been built and integrated into the BPL
system. This tool allows the automatization of the proximity A-block generation
process, facilitates the assignment of an abstract descriptor to each one of the
groupings of concepts (selected by the user from the set of generated A-blocks)
and generates the corresponding proximity equations B.

The user of this tool has at his disposal graphical windows that facilitate
the interaction with the system: The Hierarchy Displayer Window (1) that shows
the structure of the generated hierarchy and allows the selection of a A-block
clicking on it. Once a A-block is selected, its information will become available
in the Descriptor Selection Window (2) which, in addition, has a text field box
where the user can introduce the descriptor that is going to be linked with a
group of concepts. After the choice of a descriptor, the user can, at the push
of the button “Generate Equations”, generate the proximity equations which are
displayed in the Equations Displayer Window (3). Finally, they can be loaded into
the BPL system pushing the button “Load Proximity Equations”.

3 Note that, in Figure ] the 1-blocks are singletons and they are not represented.
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B Bousi-Prolog System
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Fig. 3. A display of the tool for discovery of generalized knowledge

The tool has been implemented in Java 7. For this task, two software layers
have been built. A domain layer which is responsible for the hole functionality of
the described method and it is composed by four classes: the Block class which
is mainly a list of sets of blocks; the Level class composed of a list of objects
belonging to the Block class, along with a field “degree” indicating the level; the
Hierarchy class consists of a list of objects in the Level class, and the Generator
class which implements a fuzzy extension of the clique algorithm [2]. The second
layer is the representation layer. It has the function of implementing the graphical
interface of the tool.

6 Conclusions and Future Work

In this paper we have proposed and implemented a proximity-based generic
method for discovery of generalized knowledge in the context of a fuzzy logic
programming language with a weak unification procedure based on proximity re-
lations (or similarity relations more restrictively). The generalization method can
be understood as modeling a knowledge abstraction process. In order to prove
its feasibility, this method has been integrated as a tool into the Bousi~Prolog
system. Thanks to the new tool we accomplish the goal of managing a general-
ization process, in a semi automatic way, starting from the semantic knowledge
represented by a set of proximity relations.

Some of the advantages of this proposal are: i) the learned descriptors are
fixed once and used many times, adding new knowledge (this can be considered
a learning process where the user teaches the system new concepts on the basis
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of the existing knowledge); ii) block analysis can contribute to ontology tuning
and lead to a form of information comprehension; iii) gives users the freedom to
define the most convenient generalization. However we can signal out possible
limitations: i) the user has to intervene in the choice of descriptors; ii) block
generation can be non-affordable in time, if you are working with a great amount
of proximity equations.

Regarding future work lines, we want to make more flexible the automatic
generation of proximity equations allowing, for example, to establish relations
between general descriptors of the same abstraction level, that currently are
disposed in a hierarchy (and only relate with descriptors of the superior/inferior
level). On the other hand we like to improve the efficiency of the block generation
algorithm. All in all, we desire continue enhancing the Bousi~Prolog system in
order to transform it in a effective tool to the development of soft computing
applications.
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Abstract. Fuzzy property-oriented concept lattices are a formal tool
for modeling and processing incomplete information in information sys-
tems. This paper relates this theory to fuzzy mathematical morphology,
which scope, for instance, is to process and analyze images and signals.
Consequently, the theory developed in the concept lattice framework can
be used in these particular settings.

Keywords: Rough sets, fuzzy sets, fuzzy mathematical morphology.

1 Introduction

Mathematical Morphology is a theory concerned with the processing and analysis
of images or signals using filters and other operators that modify them, these
morphological filters are obtained by means of two basic operators, the dilation
and the erosion.

The fundamentals of this theory (initiated by G. Matheron [15] and J. Serra
[16]), are in the set theory, the integral geometry and the lattice algebra. Ac-
tually this methodology is used in general contexts related to activities as the
information extraction in digital images, the noise elimination or the pattern
recognition.

This theory has been developed in a fuzzy enviroment. For instance, a new
type of fuzzy morphological image processing has been given in [2}[EHS), T3] [14]
using L-fuzzy sets as images and structuring elements.

On the other hand, fuzzy concept lattices and fuzzy rough sets are two formal
tools for modeling and processing incomplete information in information systems
and, therefore, they are also used to extract information from these systems.

Another important concept lattice setting is the fuzzy property-oriented con-
cept lattice framework [12], which arises as a fuzzy generalization of Rough

* Partially supported by Spanish Ministry of Science and FEDER funds through
project TIN09-14562-C05-03 and Junta de Andalucia project P09-FQM-5233.
** Corresponding author.
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Set Theory and in which a set of objects and a set of attributes are assumed,
following the view point of Formal Concept Analysis.

Recently, an interesting relation between L-fuzzy concept lattices and fuzzy
mathematical morphology has been introduced in [I]. In this paper we have
extended this relation to the case of fuzzy property-oriented concept lattices.
The main difference in this case is the non-consideration of negation operators.
Moreover, this relation is taken into account in two practical examples, about
binary images and digital signals.

Furthermore, the main result of this paper provides that the theory devel-
oped in both frameworks can be merged in order to prove new results and the
algorithms given for the calculus of fuzzy concepts, or fixed points of closure
operators, can be applied to fuzzy mathematical morphology and vice versa.

2 Preliminaries

First of all, this section recalls the fuzzy property-oriented concept lattices intro-
duced in [12], which use the isotone Galois connections presented in [9]. Later,
several basic notions of mathematical morphology are presented.

2.1 L-Fuzzy Property-Oriented Concept Lattice

A complete residuated lattice (L, *, 1) is the considered carrier in this framework.
On this structure, a fuzzy (formal) context is assumed, (X,Y, R), where R: X X
Y — L is a fuzzy relation between the sets X and Y, where X can be interpreted
as a set of objects and Y as a set of properties (attributes).

For a fuzzy context (X,Y, R), two mappings R3: LX — LY and R": LY —
LX can be defined:

R3(A)(y) = sup{A(z) * R(z,y) | = € X} (1)
RY(B)(z) = inf{I(R(z,y), B(y)) |y € Y} (2)

forall A:Y — L, B: X - L,z € X and y € Y, where [ is the residuated
implication associated with the conjunctor .

The pair (R3, RY) forms an isotone Galois connection [9].

Hence, a property-oriented concept (or, a concept based on rough set theory)
of (X,Y,R) is a pair (4, B) € LX x LY such that B = R3(A) and A = R"(B),
B is called the properties, A is called the objects of the concept (A4, B).

The set of all property-oriented concepts of (X, Y, R) is denoted by P(X,Y, R),
it is a complete lattice [12], which is called the property-oriented concept lattice
of (X,Y, R) (or, the concept lattice of (X,Y, R) based on rough set theory) [12].
For that isotone Galois connection (R3, R¥) and lattice P(X,Y, R) interesting
properties have been proven, e.g., in [3}4}0[12].

2.2 Mathematical Morphology in Binary Images and Grey Scale
Images

In this theory images A from X = R™ or X = Z" (digital images, or signals

when n=1) are analyzed.
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The morphological filters are defined as operators F': p(X) — p(X) that
transform, simplify, clean or extract relevant information from these images A C
X, information that is encapsulated by the filtered image F(A4) C X.

These morphological filters are obtained by means of two basic operators, the
dilation ds and the erosion €g, that are defined in the case of binary images
with the sum and difference of Minkowski [16], respectively.

Js(A)=A@S=|JA, es(A)=A408=)4
ses ses

where A is an image that is treated with another S C X, that is called structuring
element, or with its opposite S = {—z | x € S} and where A, represents a
translation of A: A, ={a+s|aec A}.

The structuring image S represents the effect that we want to produce over
the initial image A.

We can compose these operators dilation and erosion associated with the
structuring element S and obtain the basic filters morphological opening s :
p(X) — p(X) and morphological closing ¢s : p(X) — p(X) defined by:

¥s =0soes ¢s=¢egods

The opening ~g and the closing ¢g over these binary images verify the two con-
ditions that characterize the morphological filters: They are isotone and idem-
potent operators.

These operators will characterize some special images (the S-open and the
S-closed ones) that will play an important role in this work.

2.3 Fuzzy Mathematical Morphology

A new type of fuzzy morphological image processing has been developed
[2L5H8L 13, 14] using L-fuzzy sets A and S (with X = R? or X = Z?) as im-
ages and structuring elements.

In this framework, fuzzy morphological dilations &g : LX — LX and fuzzy
morphological erosions eg: LX — LX are defined using some operators of the
fuzzy logic.

In the literature, (see [2L[BL10,14]), erosion and dilation operators are intro-
duced associated with the residuated pair (*,I) as follows:

If S: X — L is an image that we take as structuring element, then we consider
the following definitions associated with (L, X, S)

Definition 1. [5] The fuzzy erosion of the image A € LX by the structuring
element S is the L-fuzzy set es(A) € LX defined as:

es(A)(x) = nf{I(S(y —z), A(y)) [y € X} VeeX

The fuzzy dilation of the image A by the structuring element S is the L-fuzzy
set dg(A) defined as:

6s(A)(z) =sup{S(z —y) « A(y) |y € X} VeeX

Then we obtain fuzzy erosion and dilation operators g, dg : LX — LX.
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3 Relation between Both Theories

First of all, we will associate any fuzzy image S € LX with the fuzzy relation
Rg € LX*X | defined, for all z,y € X, as:

Rs(z,y) = S(y — )
Hence, the fuzzy erosion and dilation are as follows:
es(A)(z) = inf{I(Rs(z,y), A(y)) | y € X}
d5(A)(x) = sup{Rs(y,z) = A(y) | y € X}
and the following results can be proven.

Proposition 1. Let (L, X,S) be the triple associated with the structuring ele-
ment S € LX. Let (L, X, X, Rs) be the L-fuzzy property-oriented context whose
incidence relation is the relation Rg associated with S. Then the operators ero-
sion es and dilation 85 in (L, X, S) are related to the derivation operators (Rg)”
and (Rg)3 in the L-fuzzy property-oriented context (L, X, X, Rg) by:

es(4) = (Rs)"(A)
6s(A) = (Rs)3(4)
for all A e LX.

Proof. Taking into account the definitions of (Rg)" and (Rg)3, given in Equa-
tions () and (), for each z € X the following equations hold:

es(A)(z) = inf{I(Rs(z,y), A(y)) |y € X} = (Rs)"(A)(z), forall Aec L¥
Analogously,
6s(A)(z) = sup{Rs(y,z) * A(y) | y € X} = (Rs)a(A)(x), forall Ac L~
O

As a consequence, the dilation and erosion hold the properties of the isotone
Galois connection (R3, RY).

Proposition 2. Given a structuring element S € LX, where (L, =) is a com-
plete lattice and X a set of objects, we have

eg: LX — LX and 6g: LX — LX are isotone operators.
egodg: LX — LX is a closure operator.

dgoeg: LX — LX is an interior operator.

£g © (55 O0Eg =¢€g

(55 0€Eg O (55 = (55

0s(A1) 2 Ag if and only if A1 S eg(A2), for all Ay, As C X

S G oo~
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The next result proves the connection between the outstanding morphological
elements and the L-fuzzy property-oriented concepts.

Theorem 1. Let S € L and its associated relation Rs € LX*X | the following
statements are equivalent:

1. The pair (A, B) € L x LX is an L-fuzzy property-oriented concept of the
context (L, X, X, Rg).

2. A is S-closed and B is the S-dilation of A.

3. B is S-open and A is the S-erosion of B.

Proof. 1. = 2. Given an L-fuzzy property-oriented concept (A, B) of the L-
fuzzy property-oriented context (L, X, X, Rg), we have that B = (Rg)3(A) and,
Proposition[ll, B = §s(A), that is, B is the S-dilation of A.

Moreover, it is fulfilled that ¢p5(A) = e5(65(A)) = es(B) = (Rs)"(B) = A,
which proves that A is S-closed.

2. = 3. By hypothesis and Proposition[2(5), the following chain of equalities
is obtained:

vs(B) = ds(es(B)) = ds(es(0s(A))) = ds(ps(A)) = ds(A) = B

which shows that B is S-open. On the other hand, taking into account that A
is S-closed, A = ¢pg(A) = e5(0s(A)) = eg(B) holds, that is, A is the S-erosion
of B.

3. = 1. Given the L-fuzzy property-oriented context (L, X, X, Rg), since A
is the S-erosion of B, by hypothesis, and, using Proposition [, we obtain that
(Rs)"(B) =es(B) = A.

In order to prove the other equality, we consider the other hypothesis, B is
S-open, and Proposition[d, and the equalities (Rg)3(A) = 0s(A) = ds(es(B)) =
~v(B) = B hold.

Thus, (A, B) is a property-oriented concept of the context (L, X, X, Rg). O

Now, we present two interesting examples in which the results above are applied.
The first one is about the interpretation of one binary image (crisp case) as a
property-oriented concept.

Example 1. Since two dimensional images are assumed, the considered referential
set is X = R2. If L = {0,1} the maps A: R? — L are interpret as two dimen-
sional images. The elements of X are denoted as # = (1, 72) € R

The structuring binary image S is
S = {(z1,29) €R | 23 + 23 < w?}

where w is a positive number. Hence, the associated incidence relation Rg C
R? x R? is defined, for each z = (x1,72), y = (y1,¥2), as

1if (g1 —21)? + (y2 — 22)? < w?
0 otherwise

Rs(v,y) = S(y—x) = {
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From these data the assumed context is ({0, 1}, R? R?, Rg). Hence, for A € ¥
and for each = (z1,22) € R? the dilation operator is

ds(A)(z) = (Rs)z(A)(x)
= sup{Rs(y,z) * A(y) | y € R*}
= sup{A((y1,92)) | (21 — y1)* + (22 — y2)* <w?}
" there exists (y1,y2) € R? such that A((y1,y2)) = 1
= and (y1 — 21)? + (y2 — 12)? < w?
0 otherwise

Hence, given a set A, the dilation of A is the set A union with the set formed
by all points (1, z2) of R?, such that the distance between (x1,22) and a point
of A is less or equal to w.

On the other hand, the erosion operator is:

es(A)(z) = (Rs)"(A)(x)
inf{I(Rs(z,y), Aly) | y € X}
nf{A((y1,92)) | (21 — 11)* + (22 — y2)* < w?}
0 if there exists (y1,92) € R? such that A((y1,92)) =0
= and (y1 — 21)® + (y2 — 22)* < w?
1  otherwise

Fig. [l shows an example of property-oriented concept. The pair (4, B) is a
property-oriented concept of the context ({0,1},R? R?, Rg) because ¢p(A) = A
and B = dg(A).

Property-oriented concept (A, B)

Fig. 1. A property-oriented concept of the context ({0,1}, R* R? Rs)
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The second example interprets one open digital signal as a fuzzy property-
oriented concept.

Ezample 2. If X C Z and L = {0,0.1,0.2,...,0.9,1} then the maps A: X — L
can be interpret as 1-D discrete signals.

In this example the considered referential set is X = {0,1,2,...,21,22}. The
structuring binary image S is the crisp set S = {—1,0,1}.

Hence, the associated incidence relation Rg C X x X is defined, for each
(x,y) € X x X, as

1 if ly—z| <1
0 otherwise

Rs(z,y) = S(y — ) = {

From these data the considered context is (L, X, X, Rg). Here, for A € L and
for each x € X the dilation and erosion operators are

d5(A)(x) = sup{Rs(y,z)  A(y) | y € X} = sup{A(y) | |z —y| <1}

e5(A)(z) = mf{I(Rs(z,y), A(y)) | y € X} = inf{A(y) [ |y — =] < 1}

In Fig.Qa particular discrete signal A and its dilation B = §g(A) are assumed.
It can be directly checked that the pair (A, B) satisfies ¢(A) = A and B = d5(A4)
and, therefore, it is a property-oriented concept of the context (L, X, X, Rg).

L 1 pre— L 1 pr—
0.9 0.9
0.8 0.8
0.7 0.7
0.6 0.6
0.5 0.5
0.4 0.4
0.3 0.3
0.2 0.2 -
0.1 0.1
OO 2 4 6 8 10 12 14 16 18 20 22 00 2 4 6 8 10 12 14 16 18 20 22
X X
(a) Discrete signal A as an L-Fuzzy set (b) B =6ds(A)

Fig. 2. Discrete signals

4 Conclusions and Future Work

This paper relates fuzzy property-oriented concept lattices and fuzzy mathe-
matical morphology, in which no negation operators are considered, and two
practical examples have been analyzed. As a consequence, the theory developed
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in both frameworks can be merged in order to prove new results and the al-
gorithms given for fuzzy concept lattices can be applied to fuzzy mathematical
morphology and vice versa.

In the future, we will study the theory of concept lattices to process and

analyze images and signals using the filters and the operators considered in
fuzzy mathematical morphology. Moreover, the result obtained will be applied
to practical examples.
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Abstract. Fuzzy set theory has proved to be a successful paradigm to
extend the database relational model, augmenting its skill to capture un-
certaintly. This capability may be consider in two levels: the data itself
and the constraints defined to adjust the database schema to the real
system. When constraints are considered, it is necessary to design meth-
ods to reason about it and not only a way to express them. This situation
leads to a ambitious goal: the design of automated reasoning methods.
Highly-expressive data models are not useful without an automated rea-
soning method. In this work we introduce an automated method to infer
with fuzzy functional dependencies over a high level generalization of the
relational model and provide its completeness result.

1 Introduction

From the 70’s, the relational model [I] has become an standard in the database
area. In these years some extensions of the original model have been proposed in
order to achieve a more expressive model for some environments and real appli-
cations. In [2] we showed a discussion about the interest of an adequate extension
of Codd’s model. This request is not only a logicians mater but also interest-
ing for the database community: “When one leaves business data processing,
essentially all data is uncertain or imprecise” [3].

Fuzzy Set Theory has provided a generalization of the relational model in or-
der to incorporate to the data some degree of uncertainty, vagueness, truthlike-
ness, incompleteness and imprecision. We emphasize three research lines in fuzzy
databases corresponding to the use of fuzzy membership values [4[5], possibility
distributions [6[7] or similarity relations [§HI0]. Apart of this, another outstand-
ing topic in fuzzy databases is the fuzzification of the constraints. In [2], an study
of the main works related with this topic is presented. The main conclusion is the
necessity of a proper definition of Fuzzy Functional Dependency (FFD).

In [ITHI4], the authors have presented some extensions of the relational model,
several definitions of FFDs and complete axiomatic systems to reason with
them. Nevertheless, these axiomatic systems are not designed to build automated
method to make inference with fuzzy functional dependencies. Beside that, there
are two dimensions to categorize [2] the wide range of FFD definitions: the way

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 254-P85] 2013.
© Springer-Verlag Berlin Heidelberg 2013
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in which vagueness is incorporated to the data and level of fuzzification of the
functional dependency.

In [I5L1I6] we have introduced two definitions of FFD together with the corre-
sponding sound and complete axiomatic systems and their automated reasoning
method. Both definitions incorporate different levels of fuzzification of the de-
pendency while data remain crisp. In [2], we establish this classification and
introduce a general FFD definition. In the relational model, the atomic ele-
ment is the attribute value. Our approach associates a degree to each value of
the attribute, providing the maximum level of uncertainty in tables. A sound
and complete axiomatic system for these dependencies has been also introduced
in [2]. As a future work, the need for an automated reasoning method for this
approach was suggested and it constitutes the goal of this paper.

The paper is organized as follows: Section [2] shows the notions of Fuzzy At-
tributes Tables and Fuzzy Functional Dependencies for this model. The Simpli-
fication Logic for Fuzzy Functional Dependencies appears in Section Bl Section
M introduces the automated reasoning method for this fuzzy functional depen-
dencies. It directly uses the rules of logic to decide whether a formula may be
inferred from a theory. Soundness and completeness of the automated reasoning
method is provided in Section Bl The paper ends with a conclusion section.

2 Preliminaries

We assume that basic notions related to Fuzzy Logic are known. In this frame-
work, it is usual to replace the truthfulness value set {0, 1} (false and true) for the
interval [0, 1] (¢ruth degrees) enriched with some operations. The basic approach is
to consider the following lattice: ([0, 1], min, max, 0, 1). This approach may be en-
hanced by adding a t-norm (triangular norm) and a residuated implication defined
over the t-norm. This is only a particular case of a residuated latticel

Our approach uses the unit interval [0, 1], the infimum (denoted by A) as the
universal quantifier, the supremun (denoted by V) as the existential quantifier,
an arbitrary left-continuous t-norm (denoted by ®) as the conjunction and the
residuum defined by a — b = sup{z € [0,1] | x ® a < b}. That is, the system
of truth values is the residuated complete lattice ([0,1],V,A,0,1,®, —) where
([0,1], ®,1) is a commutative monoid and (®, —) is an adjoin pair (a ® b < ¢ iff
a<b—c).

2.1 Fuzzy Functional Dependencies

In this subsection, we show the basic concepts of the Relational Model, with
emphasis on functional dependencies, and its fuzzy extension that we will use in
this paper. Considering a family of sets {D, | a € 2}, named domains, indexed
in a finite non-empty set {2 of elements, named attributes, a relation is a subset

! There is a wide range of extensions of the notion of residuated lattice. Some of them
obtained by including new operations as, for example, multiadjoint lattices [I7]. Other
ones by relaxing the properties of the operations as in the case of multi-lattices [I§].
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of the cartesian product of the domains R C D = [],., Da- The elements in
this product t = (¢4)aen € D will be named tuples.

Now, some issues concerning the database notation are summarized: Given
A, B C (2, AB denotes A U B and D4 denotes HaeA‘Da' Let t € R be a
tuple, then t,4 denotes the projection of t to D a; that is, if t = (t4)sc then

t/A = (ta)aeA-

Definition 1. A formula A— B, where A, B C 2, is named a functional depen-
dency (FD). A relation R C I is said to satisfy A— B if, for all tuples t1,t2 € R,
tl/A = tQ/A zmplzes that tl/B = tQ/B'

In the literature, some very similar definitions of functional dependency have been
proposed [ITT2|T4T9,20]. The first step in order to fuzzify the model is consider-
ing similarity relations instead of the equality. Thus, each domain D, is provided
with a similarity relation p, : Dy x Dy — [0, 1], that is, a reflexive (pq(z,z) =1
for all z € D,) and symmetric (pq(z,y) = pa(y, ) for all z,y € D,) fuzzy rela-
tion. Given A C (2, the extension to the set D is the following: for all ¢,¢' € D,

pa(t:t') = N palta;t;) (1)
acA
The definition of fuzzy functional dependency used in this paper, presented
in [21], is the following.

Definition 2. A fuzzy functional dependency (FFD) is an expression A-%B
where A, B C 2 and ¥ € [0,1]. A relation R C D is said to satisfy A-LB if,

0< N\ palt.t) — pp(tt) (2)
t,t’eR

2.2 Fuzzy Attributes Tables

As we have motivated in the previous subsection, database fuzzy extensions are
fundamented on the establishment of similarity relations between values of the
domains. Nevertheless, in most of these extensions the table definition remains
classical [11L[12L19].

Since the value of each attribute is the atomic element in the classical rela-
tional model, if we would like to introduce uncertainty at the ground level, the
values assigned to each attribute in each tuple has to be capable to be fuzzified.
Thus, we propose to introduce a rank associated to each value which indicates
the truthfulness degree of the value of this attribute in this tuple. This approach
provides the maximum level of uncertainty in fuzzy tables.

Ezxample 1. A company decided to make an questionnaire where the age is a
relevant data. The obtained results are: (Ann,26), (Albert,33) and (Dave,43).
Nevertheless, we would like to enrich the model by adding a grade that informs
us about the truthlikeness of the age. This situation may be modeled introducing
a degree for each value in the Age attribute, providing the following three tuples:
(Ann,26/1), (Albert,33/0.9) and (Dave, 43/0.6).
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This extension of the classical relational table is named Fuzzy Attributes Tables
and constitutes a generalization of other fuzzy data tables appeared in the lit-
erature [IIL[12,[19]. That is, for each tuple t = (t5)ac € D, we consider a map
R: D — [0,1]° or, equivalently R: D x £2 — [0, 1], which renders a tuple of truth
values R(t) = (14)acA-

For each tuple t, t, denotes the value of the attribute a in the tuple ¢ and
R(t)(a) is the truthfulness of the value t,. We would like to remark that, it is
possible that R(¢)(a) = 0 for all attribute a € 2.

When we work with Fuzzy Attributes Tables, we also consider similarity rela-
tions in domains in the same way as previous works [I521122]. Fuzzy Attributes
Table is an extension of the original table in the classical relational model by
adding the degree of certainty to the values of each attribute.

Example 2. We consider a table to store some patients with a mark from infec-
tion in their skin. The table is built with the set of attributes A = {n,a,p, ¢, 1}
where n represent the name, a the age, p the percent of extension in the skin, ¢
the mark color, [ the localization in the skin.

The domain of the attributes are D,, = {John, Peter, Ann, Dave, Peter}, D, =
{neN|]0<n<120}, D, ={n e N|0<n <100}, D, = { Black, Brown,
Purple, Red, Yellow } and D; = {Arm, Face, Foot, Hand, Leg}. We build the
similarity relations in each domain D, as follows:

peb w p r y pra f o h 1
b 1 0.70.40.30.1 a 102040904
w 0.7 1 050.40.2 f 021020202
p 0405 1 0.80.2 00402 1 060.8
r 0.30408 1 0.1 h 090206 1 0.3
y0.10.20.20.1 1 104020803 1

1 ift, =t ta—t! | [tp—t,
p’n(tnvt/n) = {0 lf t: ?é tZ pa(tavt;) =1- ma‘maf;rllina pp(tpvt;)) =1- 100p

And finally, we consider the following Fuzzy Attributes Table.

name  age percent colour localization

Ann/1 26/0.9 2/0.8 Brown/0.8 Hand/0.8
Albert/1 33/0.7 4/0.7 Black/0.6 Leg/0.9
Mary/1 21/0.6 7/0.6 Purple/0.9 Arm/0.9
Dave/1 43/0.4 4/0.9 Yellow/0.8 Foot/0.8
Peter/1 24/0.1 3/0.7 Brown/0.7 Arm/0.6

The information represented in the table corresponds to the patient’s names and
the description about their infection. Note that the name attribute is crisp, as a
particular case.

The next step to provide a notion of Fuzzy attribute table over domains with
similarity relations is to relate the similarity degree between two values of an
attribute (in two tuples) with their truthfulness degree.
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Definition 3. Thus, let R be a fuzzy attributes table and let t,t' € R two tuples,
for all a € 2, the relative similarity degree is defined as

pi (t,1) = (R(t)(a) @ R(t')(a)) = palta,ts)

The above definition may be generalized to subsets of attributes A C 2 as usual,
that is, pi (t,t") = Ny PE(t,1")

The definition of the relative similarity relation presented in Definition [ may
be used in Equation () so that the definition of fuzzy functional dependency
remains with no change.

Definition 4. A fuzzy functional dependency is an expression A-"B where
A,BC 2, A# @& and ¥ € [0,1]. A Fuzzy Attributes Table R is said to satisfy

A-2.B if the following condition holds:

9 < N\ phtt) = pR(t,t)
t,t’eD

Ezample 3. The Fuzzy Attributes Table given in Example [2] is a model of the
fuzzy functional dependency

0.6 L
colour, percent———localization

for the Lukasiewicz t-norm (¢ ® b = max{0,a + b — 1}) and its residuum (a —
b=min{l —a+b,1}).

3 A Logic for the Management of Fuzzy Functional
Dependencies for Fuzzy Attribute Tables

Some complete axiomatic system over several kind of FFDs have been
defined [ITHI3]. However, like in the case of classical FDs and the Armstrong’s
Axioms, these fuzzy inference systems are not oriented to develop automated
method to manipulate FFDs. A logic for the management of FFDs over fuzzy
attribute tables, named FSL, was introduced in [2]. In the axiomatic system of
this logic, the transitivity role is played by a novel rule, named simplification
rule, which opens the door to define automated reasoning methods.
In this section, FSL is introduced. Its language is the following:

Definition 5. Given a finite set of attribute symbols §2, we define the language
L={A-B|0e[0,1] and A, B € 27}

Concerning the semantic, the models are given by a fuzzy attribute table R: D —
[0, 1] over a family of domains {(Dq, pa) | a € £2}. We say that R |= A% B if
R satisfies A—19>B7 R E I means that R satisfies every FFD in the set I and
I'E A-25B denotes that R = I' implies R |= A-LB.
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Definition 6. The axiomatic system for FSIL has one axiom scheme and three
inference rules:

[Ax] Reflexive Axioms: FA A
[InR] Inclusion Rule: A B A B

when 992 < VY1 and B’ C B.
[CoR] Composition Rule: A2SB, 025D A2 5 BD

[SiR] Simplification Rule: A-2+B, C-25D - C-B—2£% ,p p

when AC C and ANB =@.

The next definition presents the well known notions of syntactic inference (&)
and equivalence (=).

Definition 7. Let I I" CL and ¢ €L. We say that ¢ is (syntactically) inferred
from I', denoted I' = ¢, if there exist o1 ..., € L such that p, = ¢ and, for all
1 < i < n, we have that @; belongs to I', is an axiom or is obtained by applying
the inference rules to formulas in {p; | 1 < j < i}.

I' and I are said to be equivalent, denoted I' = I, if ' = ', for all ' € I,
and I+ @, for all p € .

Theorem 1 ( [2]). The azxiomatic system of FSL is sound and complete.

4 Automated Reasoning for Fuzzy Functional
Dependencies

The aim of this section is to propose an automated reasoning method to decide

if a formula A—+B can be derived from a theory I' (a set of fuzzy functional
dependencies). That is, an automated algorithm to compute the membership
function for the closure of I' defined as follows:

rt={A-%B|r+A-%p} (3)

Notice that, as a consequence of [InR], 't assigns an infinite set of pairs (B, 1)
to every set A. If the set B is also fixed then I't gives an interval (consequence
of [InR]) whose supremum will be denoted as 9%

0t =suplv € [0,1] | A-D5B e It} (4)

On the other hand, if we fix the value of ¥ then a subset of 2% is obtained. This
set is finite and, by [InR] and [CoR], is an ideal of (22, C). The maximum element
of this ideal will be denoted by Ag.
A} =max{BC 0| A-Be Tt} (5)
And finally, for each set of attributes A, the closure of A is defined as
AT ={(a,97 )]aeR,0<9t } (6)

A{a} A,{a}

The following proposition is straightforward from definition.
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Proposition 1. Let I' be a set of fuzzy functional dependencies, A, B C {2 and
9 € (0,1]. The following properties are equivalent.

1. r+4-%B
2. 0 <It
3. B C A} = Cuty(A+) where Cuty(A') = {a € 2] (a,n) € AT with n > ¥}

Thus, the method to solve the implication problem (i.e. to test if I" - Aﬁ%B)
is strongly based on the computation of AT. Algorithm [l computes AT di-

Algorithm 1. Closure Algorithm

Data: I', A
Result: AT
begin
X:={(z,1) |z € A};
repeat
Xold := X
Y=g,

foreach B—»C €T do
if there exists b € B such that b # a for all (a,x) € X then 1 :=0

else 7 := min{x | (b, k) € X with b € B};
if n®9Y #0 then X:=XU{(¢,n®¥)|ceC}
if n # 1 and C € Cuty(X) then
Y:=3YU{B~ Cutl(X)LC \ Cuty(X)}
=%
until X = Xold ;

return “A*T is 7 X
end

W N =

rectly based on FSIL as the next section proves. Now, some comments about this
algorithm are given:

— Observe that, in the lines labeled with the numbers 1 and 2 in Algorithm [I]
the computed degree is

n =sup{x | B C Cut,(X)} (7)

So, when =1 (see condition in Line 4) the inclusion B C Cut;(X) holds.
— On the other hand, in Line 3, a kind of union is used that is defined as:

AUB = {(z,0(z)) | there exists n with (z,n) € AU B} (8)

where

n if (z,mn) € A and = # y for all (y,k) € B
o(z) =< Kk if (z,k) € B and = # y for all (y,n) € A (9)
nVk if (z,n) € A and (z,k) € B
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Ezample 4. In this example abcT are going to be computed from the set

0.9

= {cd&e,ac&def,f&dg,de ch,dh 04 a}

by considering the Lukasiweicz product. The initial set X is {(a, 1), (b,1), (¢, 1)}
and the sketch of the trace of Algorithm [is the following:

1. For cd%e, since there does not exist s such that (d, x) € X, then n = 0.
Moreover, n®0.6 = 0 and {e} Z Cuto.¢(X) = {a,b,c}. So, X = {(a, 1), (b, 1),
(¢, 1)} and ¥ = {d—2>e}.

2. For the formula acL)def we have that n =1 and n ® 0.7 = 0.7. Then

X ={(a,1),(b,1),(c,1),(d,0.7), (e,0.7), (f,0.7)}

and ¥ = {di)e}.
3. For f&dg, since (f,0.7) € X, n=0.7 and n ® 0.5 = 0.2. Thus,

X = {(a,1), (b, 1), (¢, 1), (d,0.7), (e,0.7), (f,0.7), (g,0.2)}

and ¥ = {d&e, fo‘—5>g}.
4. Considering de—22sch, 17 =min{0.7,0.7} = 0.7 and n ® 0.9 = 0.6. Then

X = X U {(c,0.6), (h,0.6)}
={(a,1),(b,1), (¢, 1), (d,0.7), (e,0.7), (f,0.7), (9,0.2), (h,0.6) }

and Y remains without changes.

5. For dh—2%a, since n=0.6,7®0.4 =0 and {a} C Cutg.4(X), then there is
no change in either A or X.

6. Now, I' = {d&e, f&g} and, since Xold # X, the sets are initialized
as Xold := X and ¥ = @.
7. For d&e, n = 0.7 and n®0.6 = 0.3. Therefore, X and ¥ remain invariant.

8. For f&g, n = 0.7 and n ® 0.5 = 0.2. Therefore, X does not change and
0.5
E={f——y}

Thus, since Xold = X, the algorithm returns:

abe™ = {(a, 1), (b,1),(c,1),(d,0.7), (e,0.7), (f,0.7), (g,0.2), (h,0.6)}

0.5

Ezample 5. Let T' = {cd 0.6 e, ac 0.7 def, f dg,de 0.9 ch,dh 04 a}

and ® be the Lukasiweicz product. To decide if I' - abe—22 5 dn holds, we first
compute abc™ (see Example [H))

abet = {(a,1), (b, 1), (c, 1), (d, 0.7), (e, 0.7), (,0.7), (g, 0.2), (h, 0.6)}

Since {d,h} C Cutos(abct) = {a,b,c,d, e, f,h}, then the answer is affirmative.
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Table 1. Algorithm’s schema

B—yCer b X
I = {cd—2% e, ac—2" sdef, f—22 3dg, de—>2 sch, dh—22sa}

) {(a, 1), (b, 1), (e, 1)}
cd—"2e  {d— e} {(a,1), (b, 1), (e, 1)}
ac—2T sdef {d—25 e} {(a, 1), (b, 1), (c, 1), (d,0.7), (e, 0.7), (f, 0.7)}
f—2mdg {d—"—e, f—"=g} {(a,1), (b, 1), (c,1),(d,0.7), (e, 0.7), (£,0.7), (9,0.2)}
de—22ch {d—2%e, F—25 g} {(a,1), (b, 1), (c, 1), (d,0.7), (e, 0.7), (f,0.7), (g,0.2), (h, 0.6)}
dh—"25a  {d—2%e, 25 5g} {(a,1), (b, 1), (c, 1), (d,0.7), (e, 0.7), (f,0.7), (g,0.2), (h, 0.6)}
F={d&>e,f0'—5>g}

o {(a, 1), (b, 1), (c, 1), (d,0.7), (¢, 0.7), (f,0.7), (g,0.2), (h,0.6)}
i—2% e o {(a, 1), (b,1), (¢, 1), (d,0.7), (e, 0.7), (f,0.7), (g, 0.2), (h, 0.6)}
F—2og {0} {(a, 1), (b, 1), (¢, 1), (d,0.7), (€,0.7), (£,0.7), (g,0.2), (h, 0.6)}

5 Soundness and Completeness

The following theorem is one of the cornerstones of Algorithm [

Theorem 2. Let I' be a set of fuzzy functional dependencies, A C 2, a € 2
and ¥ € (0,1]. The following equivalencies hold.

(a,9) € AT if and only if ' U{D N A} - o—"5a (10)
if and only if FU{@LHHxGA}I—@La (11)
Basically, the algorithm considers the set I" U {@ SN | x € A} and applies to

it transformations that preserve the equivalence. Specifically, the equivalences
applied are the following.

Lemma 1. Let A={a; | i € I} C 2 and B,C C 2 be finite sets of attributes
and {V; | i € I} U{d} C (0,1]. The following equivalency holds:

(o2 a;|ie DU{B—5CY = {© 25 a; | i € NU{B~A;—5C~ Ay} (12)
where Ay = {a; | ¥ < ¥;} and particularly Ay = {a; | ¥; = 1}.
Proof. The following sequence proves the derivation

(o2 ;i€ NU{B-5C)F B~ A—55C < Ay

Lo A By [CoR| from hypothesis {& L a4 |a; € Ay},
2. BNAL 2N O AL By [SiR] from 1. and B-%cC.
3. BN A LNV IN Ay ... By [InR] from 2. and C' \ Ay C C ~ A; because

A; C Ay.
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On the other hand, the following sequence proves the converse derivation

(o2 a; i€ NU{B~ A —5C ~ Ay} F B-55C

L BOAL =5 BOAL oo By [Ax].
2. B Y, (CNAyY)UBNAY) oo By [CoR] from 1. and hypothesis.
3. @LA@ ....... By [InR] and [CoR| from hypothesis {& LI a; | a; € Ag}.
4. Bﬁ%(C NAg)U(BNA)UAy oo By [CoR] from 2. and 3.
5. B O By [InR] from 4.

([

As particular cases of the equivalence given in the previous lemma, if C' C Ay
then

(o5 ailie fU{B-5C= {2 25 a|iel} (13)

and, if B C A;, then

(oY alieNU{B-5C={o Y a |ic}U{o—1sc|ce C~ Ay}
(14)
Equivalence (I3) is used in Algorithm[lin two steeps (Line 3 and Line 6), Equiv-
alence (I4) is used in the combination of Line 3 and Line 4 and Equivalence (T3]
is used in Line 3.

Lemma 2. Let A={a; |i € I} C 2 and B,C C 2 be finite sets of attributes
and {V; |1 € I} U{9} C(0,1]. If BC A andn = min{; | i € I} then

(025 4 |ie TU{B-50) {8 2% c|ce 0} (15)
Proof. It is straightforward from [InR] and [SiR]. O

Lemma [2] is used in Line 5 of Algorithm [l Now we introduce the completeness
result and outline its proof.

Theorem 3 (Soundness and Completeness). Given a set of fuzzy func-
tional dependencies I' and a set of attributes A, Algorithm [ returns A™.

Proof. The soundness is consequence of Lemmas [I] and @l Tarski’s fixed-point
theorem ensures that the algorithm finishes because the sequence of the sets A is
growing simultaneously with the decrease of the set I'. Regarding completeness,
when the algorithm finishes, any formula @ —— B that can be derived from
{o 2sa | (a,¥) € A} UT can be also derived from {& Yia | (a,9) € A} by
[InR] and [CoR]. O
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Conclusions

In [2] we have introduced the Simplification Logic for the management of fuzzy
functional dependencies over fuzzy attribute tables, FSIL, and we have outlined
its advantages. In this paper we show that the design of the FSIL axiomatic sys-
tem provides a way to define automated reasoning methods for fuzzy functional
dependencies. Specifically, we present a sound and complete automated reason-
ing method to solve the implication problem. This provides a framework with a
high expressive power useful for the applications.

Acknowledgment. Supported by Grants TIN2011-28084 of the Science and
Innovation Ministry of Spain, and No. P09-FQM-5233 of the Junta de Andalucia.
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Abstract. In formal concept analysis, attribute reduction is an impor-
tant preprocessing in order to obtain concept lattices, which provides
fundamental information of the attributes, as well. This importance is
increased in the fuzzy case.

This paper presents, in the general fuzzy framework of multi-adjoint
concept lattices, a classification of the fuzzy-attributes of a context,
which provides interesting properties of the attributes and its application
to reduce the computational complexity for building this kind of concept
lattices.

Keywords: Formal concept analysis, fuzzy sets, attribute classification.

1 Introduction

Formal concept analysis was introduced by R. Wille in the eighties, and it is one
of the effective mathematical tools for conceptual data analysis and knowledge
processing. This formal tool has a lot of applications, there are papers ranging
from ontology merging [18] to diverse fields of application such as the Semantic
Web [2, 4, 15].

Attribute reduction is a fundamental part in Formal Concept Analysis since
the complexity for building the concept lattice is exponential in the number of
attributes and objects. In knowledge systems usually appear unnecessary at-
tributes which considerably increase the computational time for obtaining the
concept lattice, hence it is very important knowing the unnecessary attributes
at the beginning.

Therefore, this line is widely studied in the classical case |11,113,121,122]. In the
fuzzy extensions of concept lattices, we can remark [12]. Other interesting view-
points in order to reduce the complexity for building the fuzzy concept lattices
are the use of truth stressers (which is also called hedges) in the concept-forming
operators [1, 19, [10], and the granularity [8]. However, these methodologies de-
crease the complexity reducing the size of the fuzzy concept lattices.
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and TIN2012-39353-C04-04, and by Junta de Andalucia project P09-FQM-5233.
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This paper presents a first prospect about attribute reduction in multi-adjoint
concept lattices |14, [16]. These concept lattices are a fuzzy generalization of
classical formal concept analysis, which embeds other fuzzy extensions, and in
which the basic operators, taken into account in the concept-forming operators,
are the adjoint triples [3]. Specifically, the corresponding definitions of attribute
reduction theory will be given in this fuzzy framework, several properties and
a classification of fuzzy attributes will be made. As a consequence of this last
result, the unnecessary fuzzy attributes can be located and erased, therefore, a
reduct is easily obtained, from which the whole multi-adjoint concept lattice is
built.

2 Preliminaries

This section presents a sketch of attribute reduction theory in formal concept
analysis and the general fuzzy framework of multi-adjoint concept lattices |16].

2.1 Attribute Reduction in Formal Concept Analysis

Attribute reduction was already studied by B. Ganter and R. Wille in [6].
For that, they considered the irreducible elements of the concept lattice. This
consideration was taken into account in |15] in order to present an attribute
classification assuming the definitions given in Rough Set Theory [17].

First of all, the definitions of finer, consistent set, reduct and core on concept
lattices will be recalled.

Definition 1. Given two concept lattices B(A1, B, R1) and B(As, B, Ry). If
for any (X,Y) € B(Aa, B, Ry) there exists (X', Y') € B(Ay1, B, R1) such that
X = X', then we say that B(A;, B, Ry) is finer than B(As, B, Ry) and we will
write:

B(A1,B,R1) < B(As, B, Rs)

If B(A1, B, R1) < B(Az, B, Ry) and B(As, B, R2) < B(A;1, B, Ry), then these
two concept lattices are said to be isomorphic to each other, and we will write:

%(AlaBaRl) = sB(AQaBaRQ)

Considering a context (A, B, R), a subset of attributes, Y C A and the restriction
relation Ry = RN (Y x B), the triple (Y, B, Ry ) is also a formal context, which
can be interpreted as a subcontext of the original one. Hence, we can apply the
mappings + and T, which will be rewritten in this subcontext as Y oand T,
It is clear that, given X C B, we obtain that X = XTnY.

If (A, B, R) is a formal context, we can easily verify that for any Y C A, such
that Y # &, B(A, B, R) < B(Y, B, Ry) holds.

Definition 2. Given a context (A, B, R), if there exists a set of attributes Y C
A such that B(A,B,R) = B(Y,B,Ry), then Y is called a consistent set of
(A, B, R). Moreover, if B(Y \ {y}, B, Ry (y}) # B(A,B,R), for ally €Y,
then 'Y is called a reduct of (A, B, R).

The core of (A, B, R) is the intersection of all the reducts of (A, B, R).
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Theorem 1 ([22]). Let (A, B,R) be a formal context, Y C A and Y # @.
Then, Y is a consistent set if and only if B(Y, B, Ry) < B(A4, B, R).

Pawlak [17] proposed three types of attributes for rough set theory, which were
introduced in a formal context in [22]. Now, this definition will be recalled
considering the notation in [20] to denote the subsets of attributes.

Definition 3. Given an index set A, a formal context (A, B,R) and the set
{Y; | Y; is a reduct,i € A} of all reducts of (A, B, R). The set of attributes A
can be divided into the following three parts:

1. Absolutely necessary attributes (core attribute) Cy =)
2. Relatively necessary attributes Ky = (U;c 4 Yi) ~ (Niea
3. Absolutely unnecessary attributes Iy = AN (U;e 4 Yi)-

ien Yi-
Y.

i€
The pre-processing of attribute reduction in formal concept analysis aims at

classifying the attributes from the irreducible elements in B(A, B, R). Therefore,
the definition of irreducible elements of a lattice must be introduced.

Definition 4. Given a lattice (L, <), such that A,V are the meet and the join
operators, and an element x € L verifying

1. If L has a top element T, then x # T.
2. Ifx=yANz thenx =y orxz =z, forally,z € L.

we call © meet-irreducible (N-irreducible) element of L. Condition (2) is equiva-
lent to

2. Ife<yandxz <z, thenx <yAz, forally,z € L.

Hence, if x is A-irreducible, then it cannot be represented as the infimum of
strictly greatest elements.
A join-irreducible (V-irreducible) element of L is defined dually.

2.2 Multi-Adjoint Concept Lattices

The considered operators in the forming-concept operators are the adjoint triples,
which are generalizations of a triangular norm (t-norm) and its residuated
implication [7].

Definition 5. Let (P1,<1), (P2, <2), (Ps,<3) be posets and &: P; x Py — Ps,
i Psx Py — Py, N\: P3x Py — P5 be mappings, then (&,./,"\) is an adjoint
triple with respect to Py, Ps, Ps if:

v<iz/y i aky<sz iff y<s:Nw (1)
where x € Py, y € P> and z € Pj.

Condition () is also called adjoint property. Note that the commutativity and
associativity properties are not assumed for the conjunctor &. Moreover, assum-
ing different adjoint triples adds more flexibility to the language [16].
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Definition 6. A multi-adjoint frame L is a tuple

(LlaLQaPajlanaSa&la\/la\la"'a&’na\/na\’n)

alli=1,...,n, (&i,", i) is an adjoint triple with respect to L1, Lo, P.
Multi-adjoint frames are denoted as (L1, La, P, &1, .., &n)-

where (L1,=1) and (L2, <2) are complete lattices, (P,<) is a poset and, for

A multi-adjoint context is a tuple consisting of sets of objects, attributes and a
fuzzy relation among them; in addition, the multi-adjoint approach also includes
a function which assigns an adjoint triple to each pair of objects and attributes.

Definition 7. Let (L1, Lo, P, &1, .., &n) be a multi-adjoint frame, a context is
a tuple (A, B, R,0) such that A and B are non-empty sets (usually interpreted
as attributes and objects, respectively), R is a P-fuzzy relation R: A x B — P
and o: Ax B — {1,...,n} is a mapping which associates any element in A x B
with some particular adjoint triple in the frame.

Given a multi-adjoint frame and a context for that frame, the forming-concept
operators are denoted ad] T: LE — L{ and ¥: L{! — LP and are defined, for
allge LP, fe L anda € A, be B, as

g"(a) = inf{R(a,b) . g(b) | b€ B} (2)
fHb) = inf{R(a,b) Now) fla) | a € A} (3)

These two arrows form a Galois connection [16], and so the notion of concept is
defined as usual: a multi-adjoint concept is a pair (g, f) satisfying that g € L¥,
f € L{ and that ¢g" = f and f+ = g.

Given g € L¥ (resp. f € L%'), the closure concept of g (resp. f) is the
concept (g™, g") (resp. (f¥, f¥1)). Finally, the definition of concept lattice in
this framework is introduced.

Definition 8. The multi-adjoint concept lattice associated with a multi-adjoint
frame (L1, La, P, &1, ..., &n) and a context (A, B, R,0) is the set

M={(g,f)lgeLly fel andg" = f, f* =g}

in which the ordering is defined by (g1, f1) = (g2, f2) if and only if g1 =<2 g2
(equivalently fo <1 f1).

It was proven in |16] that (M, <) is really a complete lattice, together with a
representation theorem, which generalizes the classical one and different other
fuzzy generalizations.

! Note that the notation of L¥ and L is considered to the set of mappings g: B — Lo,
f: A — Ly, respectively.
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3 Fuzzy-Attribute Reduction

Following the similar steps to classical setting, first of all, a characterization of
the A-irreducible elements of a multi-adjoint concept lattice will be presented.
From now on, we will consider a multi-adjoint concept lattice M associated with
a multi-adjoint frame (L1, La, P, &1, - . ., &n), & context (A, B, R, ), an index set
I, such that A = {a; | i € I}, and the following specific family of fuzzy subsets
of L{.

Definition 9. For each a; € A, the fuzzy subsets of attributes ¢;., € L7
defined, for all x € Ly, as

_Jz ifa=aqa;
@3""/’(“){0 if a # ay

will be called fuzzy-attributes. The set of all fuzzy-attributes will be denoted as
b = {¢z,z ‘ a; € A,ZL’ € Ll}

Considering these fuzzy subsets of attributes, the following result characterizes
the A-irreducible elements of a multi-adjoint concept lattice.

Theorem 2. The set of A-irreducible elements of M, Mp(A,B,R,0), is
{(850: 0100 | 6L, # N0, | G0, € B,6L, =2 0L, } and f, # 1%}

In the previous set, the expression qSZ{ #* /\{¢j o | gﬁ’m <9 quxj} may be
replaced by (ﬁ,z <2 /\{(ﬁjmJ \(ﬁfcﬁ =9 (ﬁmj}, since both are equivalent. However,
we prefer using the inequality in order to emphasize the difference.

As a consequence of this theorem, the A-irreducible elements are directly
obtained from the fuzzy-attributes and these are only considered to compute
them.

Ezample 1. Let us consider a shorter example than the one given in [19], in
which, the goal is to find out the best day to walk. Hence, a suitable definition
of walking time is assumed and the theory of concept lattices is used to obtain
the best day satisfying this definition. In this introductory example, we have
only considered the weak-end and we will analyze the built concept lattice.

Let ([0,1],[0,1],[0,1], <, <, <, &¢) be the multi-adjoint frame where &¢ is
the commutative Godel conjunctor. The considered context is formed by the set
of objects and attributes:

A = {warm, cold, poor in rain, calm wind}
B = {Fri, Sat, Sun}

and the relationship R: A x B — P, which is defined in Fig. [l
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Fig. 1. Table Example [Tl
R Fri Sat Sun
warm 1.0 1.0 0.0
cold 0.5 05 0.5
poor inrain 1.0 1.0 0.5
calm wind 0.5 0.5 0.0

From the context (A, B, R,0), a concept lattice (M, <) with the following 5
concepts is built.

Co = ({0.5/Fri, 0.5/Sat}, {1.0/warm, 1.0/cold, 1.0 /poor in rain, 1.0/calm wind})
Cy = ({1.0/Fri, 1.0/Sat}, {1.0/warm, 0.5 /cold, 1.0 /poor in rain, 0.5/calm wind})
Cy = ({0.5/Fri, 0.5/Sat, 0.5/Sun}, {,1.0/cold, 1.0 /poor in rain})
C3 = ({1.0/Fri, 1.0/Sat, 0.5/Sun}, {,0.5/cold, 1.0/poor in rain})
Cy = ({1.0/Fri, 1.0/Sat, 1.0/Sun}, {,0.5/cold, 0.5 /poor in rain})

The Hasse diagram of this lattice is shown in Figure [ in which each node
represents the fuzzy extension of each concept.

{[1.0,1.0,1.0]}

A

{[1.0,1.0,0.5]}

{[1.0,1.0,0.0]} {[0.5,0.5,0.5]}
{10.5,0.5,0.0]}

Fig. 2. The Hasse diagram of (M, <)

The concept Cy is the closure concept of the fuzzy-attributes ¢, 0.0, for all
a € A, and ¢co1d,0.5 and Ppoor in rain,0.5, as well. The rest of closure concepts are:

<¢$varm,0.5’¢$v£rm,0.5> = <¢$varm,1.07¢$vTarm,l.O> = <¢ialm wind,0.57¢£1m wind,0.5) = C1
<¢cold,1.07¢£1d,1.0> =0

<¢I¢)00r in rain,1.0’ (Z)poor in rain,1.0> =03

<¢’ca1m wind,1.0° Deam wind,1.o> =Co
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Consequently, the concepts in (M, <) are associated with, at least, one fuzzy-
attribute in @. Considering the Hasse diagram (Fig. ), the set of A-irreducible
elements is

Mp(A,B,R,0) = {C1,C2,C3}

Furthermore, these concepts satisfy the conditions of the previous theorem,
namely, they are concepts (¢Z¢x,¢fl) associated with fuzzy-attributes satisfy-

ing ¢iw #* /\{quxg | qbix <9 ¢]¢-7wj} and ¢iw 7£J_f4. For instance, given Cy =
<¢i01d 100 ﬁld 1.0)» it is not possible to express this element as intersection of

elements (bjxj, such that ¢ﬁ01d’1.0 <9 (ﬁw; and ¢iold’1‘0 is not the top-element.
!

However, ¢* o is the intersection of ¢, 10 and ¢iold’1.0 and so,

calm wind,1.

Cy = <¢ia1m wind,1.0° ¢£1m wind,1.0> is not a A-irreducible concept. O

In order to give a classification of fuzzy-attributes in the multi-adjoint frame-
work, several definitions introduced in [17] must be extended. The first one
introduces the extension of a consistent set.

Definition 10. A subset of fuzzy-attributes, ¥ C @, is called fuzzy-consistent
set of (A,B,R,0), if for each (g,f) € M(A,B,R,0), there exists a family
{bj,z,;}jes C ¥, such that g = /\jeJ qu’wj.

Moreover, if each element ¢, 2, € {$j,z; }jes, satisfies that W\ { ¢y, z, } is not
fuzzy-consistent, then ¥ is called fuzzy-reduct set of (A, B, R, o).

The core of (A, B, R, 0) is the intersection of all the fuzzy-reducts of (A, B, R, o).

This definition arises from the classical definition and considering that each
element (g, f) € M(A4, B,R,0) is the infimum of concepts in M(A, B, R, o).
Therefore, proving that there exists (¢/, f') in the concept lattice M(Y, B, Ry,
oyxB), such that g = ¢/, is equivalent to proving that there exists a family of
N-irreducible elements (g;, f;) € Mp(Y, B, Ry,0yxg), such that g = /\jeJ gj-

Following the classical case, three different types of fuzzy-attributes will be
considered. The set of fuzzy-reducts of (A, B, R, o) will be denoted as {&y C & |
W, is a fuzzy-reduct, A € A}, where A is an index set.

Definition 11. The set of fuzzy-attributes can be divided into the following three
types:

1. Absolutely necessary fuzzy-attributes (core fuzzy-attributes):

Co ={iz, €P| i, € m Uy}

A€A

2. Relatively necessary fuzzy-attributes:

Kg = {¢i,xi € ‘ ¢i,xi € U Uy N m !p)\}

AeA A€EA
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3. Absolutely unnecessary fuzzy-attributes:

Ip = {iw, €D | $ia, ¢ | T}

AeA

Several technical results must be given before introducing the classification of
fuzzy-attributes. The first proposition presents a characterization of fuzzy-reducts
by A-irreducible elements.

Proposition 1. A subset of fuzzy-attributes, ¥ C &, is a fuzzy-consistent set
of (A,B,R,0), if and only if, for each {g,f) € Mr(A,B,R,0), there exists
¢j.e; €V, such that g = (ﬁw.

This result can be rewritten as follows.

Corollary 1. ¥ C @ is a fuzzy-consistent set of (A, B, R,0) if and only if

Mp(A,B,R,0) C {<¢z¢,ac’ ¢z{1> | Pix € v}
The following proposition provides a mechanism to interchange elements in a
fuzzy-reduct, which is very useful.

Proposition 2. A fuzzy-reduct ¥ and an element ¢; ., € W, such that there
exists ¢; 5, € P satisfying that ¢; o, ¢ ¥ and ¢Z¢m = (bjxj Then, the set &' =
U\ {Pje; } U{biz,} s a fuzzy-reduct of (A, B, R,0).

Next, we show that each fuzzy-attribute associated with a A-irreducible element
is in, at least, one fuzzy-reduct.

Proposition 3. Given ¢; ., € @, we have that there exists a fuzzy-reduct ¥,
with ¢z, € W, if and only if (¢, .}, ) € Mr(A, B, R,0).

Jh50
Finally, the following theorem classifies the fuzzy-attributes.

Theorem 3. Given a formal context (A, B, R,0), the following equivalences are
obtained:

1. ¢ia, €Iy if and only if (¢}, .7, ) & Mr(A,B,R,0).

2. ¢ix, € Ky if and only if (QSi ¢z¢11> € Mp(A,B,R,0) and there exists

1,257

¢j,xj € @7 ¢Z,3’:7 7é ¢j,a¢j7 such that <¢;L’;1;L7¢;L:;rpb> = <¢j,IJ7¢jLJ>
3. i, € Cy if and only if ($f,,, 1. ) € Mp(A,B,R,0) and (¢}, ,d7. ) #

1,257 4,20 74,2

(@), 011 ), for all ¢ju; € D, Giw, # Bja, -

Note that these results generalize the classical ones, and they are important,
since, for instance, we can know the classification of each fuzzy-attribute of each
attribute in A, which helps us to recognize several properties of each (crisp)
attribute.
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Ezample 2. Considering Example [Il by Theorem B{1), the absolutely unneces-
sary fuzzy-attributes are: ¢warm,0.07 ¢C01d,0.07 ¢c01d,0.5a ¢p00r in rain,0.0;

¢p00r in rain,0.5; ¢Calm wind,0.05 ¢Calm wind,1.0-
By Theorem B)2), since C; is A-irreducible and it is the closure of ¢warm,0.5,

Dwarm,1.0 aNd Pcalm wind,1.0, We have that these fuzzy-attributes are relatively
necessary attributes:

Kf = {¢warm,0.5a ¢warm,1.0a ¢ca1m wind,0.5}

Finally, C; and C3 are A-irreducible concepts and they only are the closure
of the fuzzy-attributes ¢coid,1.0 and @poor in rain,1.0, respectively. Therefore, by
Theorem Bl(3), the set of absolutely necessary fuzzy-attributes is:

Cf = {¢c01d,1‘03 (rprOI‘ in rain,l.O}

As a consequence, several reducts are obtained. For example, we can consider
the fuzzy-reduct:

U= {¢warm,1.0a ¢c01d,1.0a ¢p00r in rain,l.O}

in which only three attributes, with the maximum truth-value, are assumed to
build the fuzzy concept lattice. This fact also shows the importance of these
attributes and that they must be considered with the maximum value of the
lattice. Note that the number of fuzzy-attributes (the cardinality of @), in this
simple example, is 12.

Next, by Theorems 2] and [B] a detailed classification of the fuzzy-attributes of
another fuzzy concept lattice will be provided.

4 A Worked Out Example

The considered multi-adjoint formal frame is (L, <, &), where L = {0,0.5,1}
and &¢ is the Godel conjunctor defined on L. The context is (A4, B, R, o), where
A ={a1,a2,as3,a4,a5}, B={b1,b2,b3}, R: Ax B — L is given by Table[l] and

o is constant.

Table 1. Relation R

R b1 b2 b3
a1 051 0
a2 0.5 1 0.5
a3 0.50.50.5
a4 1 1 0.5
as 1 05 1
Qae 1 1 0.5
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The concept lattice (M, <), associated with the framework and context
considered, has 10 concepts listed below.

C() = {05/b1,05/b2}, {1.0/&1, 1.0/&2, 1.0/&3, 1.0/&4, 10/@5}>

C1 = ({0.5/b1,1.0/by}, {1.0/a1,1.0/az,0.5/as,1.0/as,0.5/as})
Cy = ({1.0/b1,0.5/bo}, {1.0/a1,0.5/az,0.5/as,1.0/as,1.0/as})
C3 {0.5/[)1,0.5/[)2,0.5/()3},{,1.0/(12,1.0/&3,1.0/(14,1.0/(15}>
04 = {1.0/[)1,1.0/[)2},{1.0/(11,0.5/(12,0.5/(13,1.0/(14,0.5/&5})

(
(
(
E
05 <{05/b1, 1.0/[)2,0.5/[)3}, {, 1.0/(12, 0.5/CL37 1.0/(14,0.5/(15})

= ({1.0/b1,0.5/b3,0.5/b3}, {,0.5/as,0.5/as,1.0/a4,1.0/as})
C7 = <{10/b1, 10/b2,05/b3}, {,0.5/&2,0.5/@3, 1.0/&4,0.5/&5}>
Cg = <{1.0/b1,0.5/b2, 1.0/b3}, {,0.5/(12, 0.5/&3,0.5/(147 1.0/(15})
Cg = <{1.0/b1, 1.0/[)2, 1.0/b3}, {,0.5/(12, 0.5/&3,0.5/(14,0.5/(15})

The Hasse diagram of this lattice is shown in Figure Bl

{[1.0,1.0,1.01}

{[1.0,1.0,0.51}

{[1.0,0.5,1.0]}

{[0.5,0.5,0.0]}

Fig. 3. The Hasse diagram of (M, <)

The fuzzy-attributes are: <¢i7040,¢ﬂ040) = (Cy, for all a € A, (@70‘5,(@%_5),

<¢3o 5v¢305> <¢io.5v¢ﬁo<5>v <¢é,o.5v¢é7045> and <¢é,057¢é70‘5> are (g, and the
rest of concepts are

<¢io.5a ¢%,To.5> =Cy <¢%,140a ¢%,T1.0> =C
<¢%,1.0a ¢%,T1.o> =Cs <¢§,1‘0v ¢§,T1.0> =Cs
<¢i,1‘0,¢ﬂ1‘0> = <¢é,1.0a¢é,T1.o> =Cy <¢é,1‘0a¢é£.o> =Cy

Hence, the concepts associated with the fuzzy-attributes of @ are Cy, Cs, Cy,
Cs, C7,Cs and Cy. Referrmg to the Hasse dlagram it is not difficult to see

that the concepts Cy = <¢1 0. 5v¢1 0.5) = <¢1 1. 0v¢1 10,05 = <¢$,1‘0v¢%£.0>,
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Cr = <¢i,1.07¢f1‘0> = <¢é,1‘0’¢(¢§1.0> and Cs = <¢é,1‘07¢g1‘0> are the set of
A-irreducible elements of M, that is

Mp(A,B,R,0) ={C4,C5,C7,Cs}

Once computed the A-irreducible elements of the concept lattice, Theorem [
can be applied and the classification of the fuzzy attributes is obtained. For
instance, ¢11.0 and ¢3.1.0 belong to I, because Cp = <¢i1.0a¢ﬁ1.0> and C3 =
<¢§,1.07 ¢§,Tl.o> are not in Mp(A, B, R, 0).

Furthermore, ¢4 1.0 belongs to Kg, since C7 = <¢i1.0a ¢f1_0> is A-irreducible,
Mp(A, B, R,0), and, if we consider ¢g1.0 € L4, we have that ¢s1.0 # ¢6.1.0
and <¢i,1.0a¢f1.0> = <¢é71_0,¢éT1_0>. Analogously, the fuzzy-attribute ¢g 1.9 also
belongs to Kg.

The other fuzzy-attributes are in the core, for example, ¢1 .5 is in Cg, because
Cy = (¢%’O‘5,¢%’T0.5> € Mrp(A, B, R,0) and there does not exist ¢; ,, € L{' with

Gin, # 01,05, such that (67, ¢;l,.) = (6105, 01l05)-
Finally, the classification of the fuzzy-attributes is the following:

Is = {0100, 01,1.0,92,0.0,, 92,0.5, $3,0.0, #3,0.5,
$3.1.0, $4,0.05 $4,0.5: $5,0.05 $5,0.5: $5.1.0, $6,1.0 }

Ko ={¢11.0,061.0}

Co = {¢1,05,02,1.0,95,1.0}

As a consequence, two possible fuzzy-reducts arise: ¥1 = {¢1,0.5, $2.1.0, $5.1.0,
¢pa1.0) and Yo = {d1,0.5, 92.1.0, $5,1.0, P6,1.0}-

5 Conclusions and Future Work

Several interesting results in fuzzy attribute reduction theory have been intro-
duced and a classification of the fuzzy-attributes has been given, which provides
important properties of the attributes. This has been considered in a worked out
example and the corresponding reducts are easily obtained.

For further work, a classification of the crisp attributes will be given con-
sidering the introduced results, and an attribute reduction mechanism will be
presented keeping the original concept lattice and without losing information.
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Abstract. The overcapacity of the European fishing fleets is one of the
recognized factors for the lack of success of the Common Fisheries Policy.
Unwanted non-targeted species and other incidental fish likely represent
one of the causes for the overexploitation of fish stocks; thus there is
a clear connection between this problem and the type of fishing gear
used by vessels. This paper performs an environmental impact study of
the Spanish Fishing Fleet by means of ordinal classification techniques
to emphasize the need to design an effective and differentiated com-
mon fish policy for “artisan fleets”, that guarantees the maintenance of
environmental stocks and the artesan fishing culture.

Keywords: Machine learning, Ordinal Classification, Commitment to
sustainability, Common Fisheries Policy, Fleet Overcapacity.

1 Introduction

“Commitment to Sustainability” is a common statement of intentions used in
large companies. Since 2009, the Common Fisheries Policy (CFP) has been re-
vised in order to address the real threat of depletion of fishing grounds in the
near future [I]. The CFP reform begins to admit the political failure of previous
plans as reflected in the conclusions of the external audit made on European
fisheries [2] where it was shown that fleet capacity has not been reduced; indeed,
it has caused an alteration in European Union (EU) markets since it has failed
to establish an effective monitoring system on catches and discards.
Meanwhile, the EU has attempted to control the evolution of community fish-
ing fleets through the so-called Multi-Annual Guidance Programmes (MAGPs),
simultaneously applied to the successive CFPs, where the member state fleet
capacity has been measured using aggregate Tonnage and the Engine Power of
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fishing vessels in order to obtain a standardized measure for all member states.
As Pascoe and Gréboval noted [3], although Tonnage and Engine Power affect
the vessel’s catching ability, the fishing capacity as the ability of a vessel to
catch fish is a highly complex concept which depends on multiple-inputs that
must be addressed. While the MAGPs program was operating, the EU reduced
the number of vessels, along with the crew members, the gross tonnage (GT)
and the power (kW) of its fleet, applying “Fishing capacity-Effort reduction”
and “Vessel Renewal and Modernisation” policies. However, the average size of
the fishing boat was significantly greater. In this sense, this paper seeks to char-
acterize the Spanish Fishing Fleet according to the environmental impact of each
vessel using for this purpose the gears declared (note that the gear information
about a vessel may be unknown or wrong in some cases) in order to compute an
understandable and predictable model which can be used to identify the complex
patterns which influence the commitment to sustainability.

However, the classification problem in this paper is considered as a different
setup to the standard one, as the variable to predict is not numerical or nominal,
but ordinal, so categories have a natural order. The major problem with this
kind of classification is that there is not a precise notion of the distance between
categories and there are some misclassification errors which should be more
penalized. To cope with this issue, a cost-sensitive decision tree hybridized with
an ordinal cost matrix is used to penalize misclassification errors according to
the distance in ranking to the true class.

The remainder of the paper is organized as follows. Section 2 shows a brief
analysis about Machine Learning (ML) methods for solving the abovementioned
problem. Section 3 explains the methodology constructed. Section 4 shows the
experimental data design. In Section 5 the results are shown and discussed.
And finally, some conclusions are drawn in Section 6.

2 Background

The ML paradigm is a scientific discipline related to Artificial Intelligence. It
is based on the design and development of methods and algorithms that could
yield patterns or prediction rules from a set of input data in order to make
intelligent decisions. Very different paradigms such as regression, classification
and time-series are usually included in this multidisciplinary research area.
There are several works in the literature that have addressed the characteri-
zation of the fishing fleet using statistical techniques: In the case of Piniella et
al. [, the Artisanal Fishing Fleet in Andalusia (2007) was analysed by using
regression techniques in order to evaluate the relation between the various vari-
ables characterizing a fleet. Another example is in the work of Castro et al. [5],
where a multivariate analysis, a clustering and time-series methodologies were
conducted in order to identify métiers by target species inferred from the species
composition of landings, applied to Spanish longliners operating in non-Spanish
European waters. Similarly, Pauly et al. [6] assessed the problem of determining
the global trends in fishing efforts. Also, in a recent work, Crilly and Esteban [7]
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conducted a cost-benefit analysis of social, economic and environmental factors
of the United Kingdom North Sea cod fishery, comparing the two main fishing
gears declared in this area: trawlers (mobile) and gillnets (static). The results
show that the environmental impacts caused by the trawlers are more costly
than the value of their landings, whereas gillnets generate positive value for so-
ciety. Similar conclusions were obtained by Gascuel et al. [§] using the Celtic Sea
and the North Sea as case studies to show a clearly highlighted contrast between
fleet segments, based on the ecological impact and economic performances of the
major fleets operating within each ecosystem. Villasante [9] showed in 2010 an
update of the EU fishing fleet assuming that the tonnage probably represents
the most appropriate indicator to measure fishing capacity and extending the
four fish sectors of the Galician fishing fleet to the EU, demonstrating how the
Tonnage and Power had decreased since 1987, whereas the productivity rate, in
terms of catch value, had increased significantly. The author concludes that the
largest fishing vessels have increased their capacity under the application of the
CFP, despite many attempts to address the problem of overcapacity.

In order to help link the concepts of “fleet capacity” and of “fishing effort”,
this paper presents a characterization of the gears employed by the Spanish
Fishing Fleet, according to its commitment to the sustainability of its registered
gear, by following a previous classification of fishing gears provided by the Food
and Agriculture Organization in 1990. Specifically, we make use of a specific
learning paradigm known as ordinal classification [I0]. The use of this method-
ology is mainly justified by the existing ordinal rank among the classes, as these
classes correspond to the use of different kinds of gears, which determine the en-
vironmental impact of the vessels. Thus, the classes in the problem are ordered
according to this environmental impact (from lowest to highest).

3 Ordinal Classification

The goal in classification is to assign an input vector x € R?, d being the data
dimensionality, to one of the K classes Ci. To do so, a given algorithm is trained
according to some labeled data {x,y}, where y; is the category assigned to
pattern x;. In the case of ordinal classification there is a ranking among the
classes, so this kind of classification needs to be treated differently. One of the
main approaches developed for ordinal classification focuses on the use of cost
matrices, where several errors were considered when misclassifying a pattern.
The usual cost matrix used for weighting the errors for the case of K = 10 can
be seen in Table [[] and it is known as the standard absolute cost matrix. From
this matrix, one could notice that when classifying a pattern from class C; in C;
the associated error is obviously zero, as the pattern has been correctly classified.
However, when misclassifying it with a different class, the associated error varies
according to its order, since the implicit order among categories becomes an
important issue when classifying, e.g. misclassifying a pattern from C; (the one
which presents the minimal environmental impact) with Cio9 should be clearly
more penalized than when misclassifying it with class Co. More formally, in
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Table 1. Matrix elements represent the cost applied to each kind of error

Real category
Cs C¢ Cr

(2
A
aQ

Predicted Category

Q
()

Ca Cq Cs Co Cio
Cq 0 1 2 3 4 5 6 7 8 9
Co 1 0 1 2 3 4 5 6 7 8
Cs 2 1 0 1 2 3 4 5 6 7
Cy 3 2 1 0 1 2 3 4 5 6
Cs 4 3 2 1 0 1 2 3 4 5
Cs 5 4 3 2 1 0 1 2 3 4
Cr 6 5 4 3 2 1 0 1 2 3
Cs 7 6 5 4 3 2 1 0 1 2
Co 8 7 6 5 4 3 2 1 0 1
Cio 9 8 7 6 5 4 3 2 1 0

the ordinal classification paradigm, the outcome space is ordered, so the classes
present a ranking structure: C; < Co < -+ < Cg, where < denotes this order.

In this work, different classical Decision Tree algorithms (C4.5 and Logistic
Model Tree) have been hybridized with an ordinal cost matrix to induce an
ordinal ranking among the classes of the problem. Therefore, all the tree growing
and pruning procedure change, in such a way that instead of minimizing the
number of errors, regardless of cost, they take into account ordinal cost errors.
Thus, these techniques are considered as post-processor decision trees, which
both implement cost-sensitive specialization by seeking to specialize leaves for
high misclassification cost classes in favor of leaves for low misclassification cost
classes. For further information about cost-sensitive tree induction algorithms,
see [TTI12].

Nonetheless, the choice of this technique for the classification problem is not
arbitrary. Cost-sensitive decision trees have been chosen due to their easy inter-
pretability (which is a necessary requirement in many real-world applications)
and their close relation to the problem of ordinal regression through the use of
cost matrices. Although really complex and successful algorithms have been de-
veloped in the ordinal regression paradigm (many of them derived from existing
nominal techniques such as the Support Vector Machine or Kernel Discriminant
Analysis), very little effort has been made to design interpretable methodologies
in order to extract direct knowledge from them.

4 Design of the Sample

This study focuses on the Spanish fleet, as a preview of subsequent research,
that should be extended to other EU state members. The sample design is:

1. The complete status of the current Spanish fleet (2012) is obtained from the
“Fleet Register On the Net”, part of the Fisheries and Maritime Affairs of
the European Commission.

2. Variables such as Port Code, IRCS, Loa, Tonnage, Power, first gear and
second gear were selected in order to study the factors that influence the
environmental impact of a vessel. First, port codes were classified according
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to their region resulting in the characterization in Table[2l In that vein, Table
also summarises the main characteristics of the database (the different
variables involved and the number of patterns, classes and attributes).

3. Following a 1990 FAO report [I3] where different gears were categorized,
the gears presented in the Spanish Fleet have been classified in this paper
according to their environmental impact (from lowest to highest), as can be
seen in Fig. [Il primarily dependent on whether the gear is static or towed,
and secondly, whether it is located in the demersal or pelagic zones.

4. Finally, the entire Spanish Fleet was then classified taking its declared main
and secondary gear into account (see Table Bl and Fig. [I]).

Table 2. Characteristics of the dataset constructed

Patterns: 10460, Classes: 10, Attributes: 6

Variable Description Type Values Mode Source
Zone Zone assigned to a Port (see the legend of this Table) Nom {1,2,3,4,5} 2 OWN
IRCS Code  Has the vessel the International Radio Call Sign? Bin {0,1} 0 EUFR
Loa Vessel length, expressed in metres (m) Num [2.8,116] 10.91 EUFR

Ton Gt Total capacity of the vessel, expressed in volumetric
tons of 100 cubic feet Num [0.12,4406] 37.98 EUFR
Main Power  Main vessel engine power, in Kilowatts (Kw) Num [0,5854.3] 85.74 EUFR
Auxiliary Power Auxiliar vessel engine power, in Kilowatts (Kw) Num [0,3980.87] 21.75 EUFR

Zone 1 - Basque Country, Cantabria and Asturias; Zone 2 - Galiza; Zone 3 - West Andalusia

Zomne 4 - East Andalusia, Valencia, Alicante, Balearic Islands and Catalonia; Zone 5 - Canary

Islands; Nom = Nominal; Bin = Binary; Num = Numeric; EUFR = EU Fleet Register

Table 3. Description of Spanish Fleet registered Gear (Nédélec 1990)

Spanish Fleet Gear Declared Code ISSCFG Static/Towed Pelagic/Demersal

Otter OTB 03.1.2 T D
Pair PTB 03.1.3 T D
Purse Seines PS  01.0.0 M P
Trammel nets GTR 07.5.0 S DP
Drifting Longlines LLD 09.4.0 S P
Pots FPO 08.2.0 S D
Set Longlines LLS 09.3.0 S D
Set Gillnets GNS 07.1.0 S D

ISSCFG = International Standard Statistical Classification of Fishing Gear
GR = Gross Registered; PF= Power/Fishery

The study of this sample has also shown that most of the vessels are concen-
trated in only a part of the total number of classes of the problem studied. In
fact, the dataset presents an unbalanced nature (the pattern distribution being
{245, 187, 873, 57, 86, 7187, 671, 970, 9, 175}).

5 Results

Several state-of-the-art approaches that have been proposed in the domain of
ML have been tested for the problem. The methodologies tested are based on
Logistic Regression (Logistic and Logistic Model Tree), Decision Tree learning
(C4.5), Bayesian Approaches (NaiveBayes) and Artificial Neural Networks (Mul-
tilayer Perceptron), although the study is focused on the use of Decision Trees
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TOWED —) DEMERSAL BOTTOM TRAWLS (OTB)
PAIR BOTTOM TRAWLS (PTB)
STATIC& PURSE SEINES (PS
GEAR TYPE ToWED —> PELAGIC —> (PS)
DEMERSAL

—— TRAMMEL GILLNETS: (GTR

&PELAGIC (GTR)
STATIC PELAGIC ——» HOOKSG&LINES:Drifting (LLD)

TRAPS (FPO)
DEMERSAL HOOK&LINES:Set (LLS)
Set GILLNETS (GNS)

VESISEL

YV Vv V V

ZONE |RCS POW TON Gt LOA

(1) LLS/FPO (2) LLS/NO (3) LLD/MIO (4) GNS/NO (5) LLS/GNS

MAIN POWER AUX POWER
(6) GNS/GTR (7) PS/NO (8) OTB/NO (9) PTB/NO (10) OTB/PTB

(b)

Fig.1. a) Spanish Fleet Declared Gear classification according to its environmental
impact (Nédélec 1990). b) Dataset to classify the Spanish Fishery Fleet according to
previous gear categorization (Eurostat).

because of their interpretability (specifically Cost-sensitive Decision Trees), that
can provide us with some useful information about the model. Furthermore,
some ordinal classification state-of-the-art methods have been tested for com-
parison purposes (Support Vector for Ordinal Regression [I4] and Discriminant
Learning for Ordinal Regression [19]).

A 5-fold partitioning technique has been used in order to divide the dataset
and analyse how selected algorithms generalise on unseen data, dividing the data
into 80% for training and 20% for testing.

Evaluating the performance of a classification algorithm is a fundamental
aspect of ML since it is very important to understand the quality of certain
algorithms but it is also a difficult issue. The experimental results obtained can
be seen in Table @ where two evaluation metrics were considered: the well-
known accuracy measure (Acc), which is the rate of correctly classified patterns
although it does not consider the order relation among the categories. The Mean
Absolute Error (M AE), which is average deviation in absolute value of the
predicted class from the true class [I6]. This metric is specially designed for
ordinal regression and its values range from 0 to K — 1 (maximum deviation
in number of ranks between two labels), K being the number of classes in the
problem.

Concerning the results in Table @l one can notice that decision tree method-
ologies (C4.5 and Logistic Model Tree) are those with higher performance, even
better than the results of some of the methods specially proposed for ordinal clas-
sification. In this sense, the Logistic Model Tree achieved the best results when
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Table 4. Mean and Standard deviation for Accuracy (Acc) and Mean Absolute Error
(MAE) values from the 5 models obtained for the test sets

Algorithm Acc (%) MAE
Standard nominal classifiers
C4.5 89.22 +£0.36 0.341 £ 0.019
LMT 89.62 £0.45 0.344 £+ 0.022
SLogistic 88.03 £ 0.38 0.383 +£0.017
MLogistic 88.14 £ 0.39 0.379 +£0.018
MLP 88.47 £ 0.39 0.363 +0.017
NaiveBayes 84.81 £ 0.54 0.468 £ 0.029
Ordinal classifiers

Support Vector for Ordinal Regression 85,14+ 0,78 0,347 £ 0,009

Discriminant Learning for Ordinal Regression  77,954+0,79 0,483 + 0,017
Hybridized techniques

Cost-sens. C4.5 89.31 £0.34 0.321 £0.011
Cost-sens. LMT 89.54+ 0.33 0.326 + 0.020
Cost-sens. C4.5 (Best model) 89.87 0.307

Best method is in bold face and the second best is in italics

taking into account the Acc, but failed when considering the MAE measure,
since C4.5 presented lower results. However, this technique presented slightly
lower performance in Acc. With regard to the hybridization of the decision trees
with the ordinal cost matrix, the obtained Acc values remain almost invariant,
however, a considerable improvement can be seen in M AE values. Moreover,
the results obtained provide evidence that the variables selected for the problem
were appropriate and robust enough to perform the classification of vessels, due
to the high ratio of well-classified patterns achieved by most of the algorithms.

Taking the Mean Average Error into account, which actually reports ordinal
errors, it is seen that the mean value obtained is very low, thus showing that
the ordering performed on the gears is correct; in addition, the techniques used
in this paper are able to capture this order information, thus avoiding serious
ordinal errors when classifying, which is an important issue for the prediction
model. The cost-sensitive C4.5 method is chosen for the interpretation of the
best model since it achieves the minimum mean M AFE value. This model has
been included in a Webpag.

Concerning the interpretation of the best model, several conclusions can be
drawn. Firstly, it can be noted that the IRCS Code variable does not contribute
much information about the end-point variable since it does not appear in many
nodes of the tree. However, there is a clear relation between the top-rated classes
and the vessels presenting the IRCS. On the other hand, the zone variable is
clearly determining for classification. For example, class 3 only appears for zone
5, which demonstrates the need to perform different studies according to the
zone, and develop different policies accordingly. This is also the case with the

!http://www.uco.es/grupos/ayrna/en/partitions-and-datasets/#MLforCFP
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Loa variable, which influences the classification notably (e.g. classes C3 and Cg are
characterized by a lower loa value). It can also be noticed that when presenting
patterns under the similar variable conditions (i.e. patterns at the same tree
leaf), classification is performed by considering the Main Power and Auxiliary
Power variables (determining these the membership to adjacent classes in the
ordinal scale). In particular, for low classes (C; to Cs), very low values for the
Auxiliary Power variable are given (mostly 0). Finally, for those classes which
are at the top of the ordinal scale, the Tonnage, the Auxiliary Power and the Loa
present very high values. The analysis has also shown the need to take individual
note of the two types of powers of a vessel since they have different impacts on
the model.

6 Conclusions

In this paper, the notion of cost-sensitive decision tree for ordinal regression is
explored in order to construct a comprehensible and predictive model to un-
derstand where the real “lack of commitment” to sustainability is located in
the Spanish Fishing Fleet. The results show evidence that some of the vari-
ables selected for the vessels (port zone, size of the loa, tonnage, main power
and auxiliary power) are highly significant and appropriate for determining the
classification, and their use enables the model to classify the fleet accordingly.
Furthermore, the ordinal methodology constructed is able to properly capture
the implicit class ordering of the data showing competitiveness with other ordinal
regression state-of-the-art algorithms.
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Abstract. Determine an appropriate distribution of reservoir parameters is a
challenge in reservoir engineering. Permeability is one of special reservoir
parameters which its modeling is more complicated because there is no direct
tool to determine permeability distribution. This problem is more critical in
carbonate reservoir because of the fracture effects on measurements. The most
reliable way of permeability calculation is laboratory analysis of cores, but this
method could not provide a thorough permeability profile in the desired field. In
recent years, different methods and algorithms used to predict permeability.
One of the most common methods is artificial intelligent methods such as ANN,
FL and GA. This paper provides a way to compare the ability of different fuzzy
methods to predict permeability from well logs in one of southern Iranian
carbonate reservoirs. Sugeno type fuzzy inference system (SFIS), adaptive
neuro-fuzzy inference system (ANFIS) and locally linear neuro-fuzzy (LLNF)
used to predict permeability. One third of all data used for test the fuzzy
systems. Mean square error (MSE) and correlation coefficient (CC) of the test
dataset used to select the best method in permeability determination. In final
step genetic algorithm is applied to combine different method results to obtain a
final model. This algorithm minimizes an error function. This function consists
of SFIS, ANFIS and LLNF model predictions. The ability of different methods
are compared to find an appropriate method for permeability prediction.

Keywords: permeability prediction, SFIS, ANFIS, LLNF, GA.

1 Introduction

Permeability, which measures the ability of a rock to transmit fluids, is one of the
most important properties of reservoir rocks. Estimation of permeability is important
in determining the well completion strategy and the resulting productivity (Cuddy,
1998). Reservoir management and development requires accurate knowledge of
permeability. Depending on the available data, permeability can be determined by
analyzing well test data, core data, or well log data (Balan et al., 1995). Well test
interpretation provides a reliable in situ measure of average permeability. When there
are no well test data, taking core measurements in a laboratory is another way to
estimate permeability. However, both well test data and core data are expensive to
obtain (Chen and Lin, 2006). Well log data can be used to estimate permeability if
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limited core data are also available. Well logging is performed for almost all wells.
Many correlations have been widely studied to estimate permeability using well log
data with the aid of available core-measured permeability (Balan et al., 1995).

Artificial intelligent tools were a common way of un-sampled property prediction
from well logs recently. Many authors applied different methods separately to predict
an un-sample property. Abdulraheem et al. 2007 used fuzzy logic to predict
permeability from well logs, they shown that subtractive clustering provide better
predictions compare to grid partitioning technique. Cuddy (1998) implemented fuzzy
logic for litho-facies and permeability prediction. The fuzzy prediction technique was
calibrated in a cored well and ‘‘blind tested’’ in another well to see how well it fitted
the actual core permeabilities. Amabeoku et al. (2005) used fuzzy logic to model and
predict permeability in cored wells by calibrating core permeability against
conventional open-hole logs. Beiraghdar et al. (2010) use a locally linear neuro-fuzzy
model to predict permeability from well logs. Many other authors applied a
combination of different Al methods to predict un-sampled properties. Kadkhodaie et
al. (2009) provide a committee machine to predict petrophysical data from seismic
attributes. They used Larsen, Mamdani and Sugeno type fuzzy inference system and a
pattern search genetic algorithm to combine the prediction of these methods. Chen
and Lin (2006) introduce a committee machine to predict permeability from well logs.
They used empirical formula, neural network and genetic algorithm to improve their
predictions. Wong et al. (2000) proposed multiple networks resulting in a smaller
error for permeability prediction when compared with multiple linear regression and
other neural networks. Labani et al (2010) applied a committee machine with
intelligent system to predict NMR log parameters from conventional well log data.
Ja’fari and H. Moghadam (2012) integrate ANFIS, NN and GA to determine porosity
and permeability from log data. Their method shows that the combined prediction
provides better results than any methods individually. In this study different fuzzy
models (SFIS, ANFIS and LLNF) combined using GA tool to predict permeability
from conventional well logs. The method applied to a dataset from one of southern
Iranian carbonate reservoir.

2 Theory and Methodology

The application of Al tools such as fuzzy logic and NN is evolving as an oil field
technology. Over the last few years several studies have been conducted in the field of
petroleum engineering by applying AIl. The major applications are seismic data
processing and interpretation, well logging, reservoir mapping and engineering (EIl
Ouahed et al 2005). The aim of this study is to focus on different fuzzy methods to
predict permeability in un-cored wells. A brief description of different methods is
described here.
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2.1  Sugeno Type Fuzzy Inference System

Fuzzy logic is a convenient way to map an input space to an output space. Fuzzy logic
was first introduced by Zadeh (1965). As the name suggested, it deals with the
concept of partiality. Fuzziness or vagueness refers to not only crisp definition of
conventional Boolean logic (e.g. true or false) but also continuous form of anything in
between (i.e. partially true and partially false). The partial membership behavior can
be characterized deterministically and mathematically by fuzzy sets (or fuzzy
membership functions) and a set of fuzzy "if-then" rules (or fuzzy rules). In other
words, descriptive uncertainties can be quantified (Tran, 2004). Complete theoretical
descriptions of fuzzy logic (fuzzy sets, memberships and rules) can be found in Kosko
(1992).

Fuzzy inference is the process of formulating the mapping from a given input to an
output using fuzzy logic. Fuzzy inference process comprises of five parts:
fuzzification of the input variables, application of the fuzzy operator (AND or OR) in
the antecedent, implication from the antecedent to the consequent, aggregation of the
consequents across the rules, and defuzzification (Matlab help). Figure 2 represent a
schematic diagram of this, which is shown by Lee (2004) and Kadkhodaie Ilkhchi
(2009).

The most important differences among fuzzy inference systems are the types of the
output membership functions and the implication methods. The output membership
functions for SFIS are either linear or constant (Sugeno 1985).A typical rule in a
Sugeno fuzzy model has the form:

If Input1=x0 and Input2=y0, then z=px0+qy0+r

For a zero-order Sugeno model, the output level is a constant (p=q=0). The output
level, z;, of each rule, is weighted by the firing strength o; of the rule. The final output
of the system is the weighted average of all rule outputs, computed as follows:

final output = Zal-zi /Zai ey
i=1 i=1

A graphical illustration of SFIS is shown in Figure 1.
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Fig. 1. Schematic of SFIS (Kadkhodaei et al., 2009)
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2.2  Adaptive Neuro-fuzzy Inference System

In recent years, considerable attention has been devoted tothe use of hybrid NN—fuzzy
logic approaches as an alternative for pattern recognition, clustering, statistical and
mathematical modelling. It has been shown that NN models can be used to construct
internal models that capture the presence of fuzzy rules. Neuro-fuzzy modeling is a
technique for describing the behavior of a system using fuzzy inference rules using a
NN structure. The model has a unique feature in which it can express linguistically
the characteristics of complex nonlinear systems (Nikravesh er al2003). The
formulation between input and output data is performed through a set of fuzzy if-then
rules. Normally, fuzzy rules are extracted through a fuzzy clustering process.
Subtractive clustering (Chiu 1994) is one of the effective methods for constructing a
fuzzy model. The effectiveness of a fuzzy model is related to the search for the
optimal clustering radius, which is a controlling parameter for determining the
number of fuzzy if-then rules. Fewer clusters might not cover the entire domain, and
more clusters (resulting in more rules)can complicate the system behavior and may
lead to lower performance (Kadkhodaie-Ilkhchi ef al 2009). Depending on the case
study, it is necessary to optimize this parameter for construction of the fuzzy model.
The basic idea behind the neuro-adaptive learning techniques is very simple. These
techniques provide a method for the fuzzy modelling procedure to learn information
about a dataset, in order to compute the membership function parameters that best
allow the associated fuzzy inference system to track the given input/output data. The
Sugeno fuzzy model was proposed by Tagaki, Sugeno and Kang in an effort to
formulate a systematic approach to generalized fuzzy rules from an input—output
dataset. A typical fuzzy rule in a Sugeno fuzzy model has the following format:

ifxisAand yis Bthenz=f(x, y)

where A and B are the fuzzy sets in the antecedent; z = f (x, y) is a crisp function in the
consequent. When f (x, y) is a constant, then we have the zero-order Sugeno fuzzy
model, which can be viewed as a special case of the Mamdani fuzzy inference system.
If f (x, y) is a first-order function, then we have a first-order Sugeno fuzzy model.
Consider a first-order Sugeno fuzzy inference system which contains two rules.

Rule 1:if Xis Al and Yis Bl, thenf1 =plx+ gly + rl.
Rule 2: if Xis A2 and Y is B2, then f2 = p2x + q2y + 2.

Figure 2(a) illustrates graphically the fuzzy reasoning mechanism to derive an output
f from a given input vector[x, y]. The firing strength w1 and w2 are usually obtained
as the product of the membership grades in the premise part, and the output f is the
weighted average of each rule’s output. To facilitate the learning or adaptation of the
Sugeno fuzzy model, it is convenient to put the fuzzy model into the framework of
adaptive networks that can compute gradient vectors systematically. The resultant
network architecture is called ANFIS, and is shown in figure 2(b), where nodes within
the same layer perform functions of the same type. Layer 1: each node in this layer
generates membership grades of a linguistic label. Parameters in this layer are referred
to as the premise parameters. Layer 2: each node in this layer calculates the firing
strength of a rule via multiplication. Layer 3: node i in this layer calculates the ratio of
the ith rule’s firing strength to the total of all firing strength. Layer 4: node i in this
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layer computes the contribution of the ith rule towards the overall output. Layer 5: the
single node in this layer computes the overall output as the summation of contribution
from each rule (Jang2000).

The constructive adaptive network shown in figure 2(b) is functionally equivalent
to the fuzzy inference system shown in figure 2(a). There are two methods that
ANFIS learning employs for updating membership function parameters: back
propagation (which calculates error signals (the derivative of the squared error with
respect to each node’s output) recursively from the output layer backward to input
nodes. This learning rule is exactly the same as the back propagation learning rule
used in the common feed forward NN) for all parameters (a steepest descent method)
and a hybrid method consisting of back propagation for the parameters associated
with the input membership functions, and leastsquares estimation for the parameters
associated with the output membership functions (Matlab user’s guide 2007).

2.3  Locally Linear Neuro-fuzzy with Model Tree

The fundamental approach with the LLNF model is dividing the input space into
small linear subspaces with fuzzy validity functions. Any produced linear part with its
validity function can be described as a fuzzy neuron. Thus, the total model is a neuro-
fuzzy network with one hidden layer, and a linear neuron in the output layer which
simply calculates the weighted sum of the outputs of locally linear neurons
(Gholipoor et al. 2007). Figure 3 demonstrate a schematic of LLNF model.

A
Vi =W T Wl Fwolly +o+wou,
()

where u = [u1 sUy s U, ]T is the model input, M is the number of LLM neurons, wj;

denotes the LLM parameters of the ith neuron, and p is the size of input vector. For
proper modeling, it is necessary that the Gaussian validity functions be normalized.

¢ (u) = ff—@ 3)
DM )
— 2 —C. 2
1. (1) = exp —% w, f“) +..+ (w, 26”’) (4)
O-il o-ip

There are two sets of learning parameters: the rule consequent parameters of the
LLMs (w;s) and the rule premise parameters of validity functions (ojs and cjjs).Since
the learning algorithm searches for locally linear models, supposing that the c¢;s and
c;js are known, the least square technique is a reasonable choice for tuning the LLMs
parameters (Nejadfar et al., 2013).Several methods can be used for the approximation
of rule premises (parameter of hidden layer). Tree based methods are appropriate for
their simplicity and intuitive constructive algorithm (Mirmomeni et al. 2009).
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Fig. 3. Structure of LLNF (Nejadfard et al. 2013)
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In each iteration, the one locally linear neuron with the worst performance is
subdivided. In p dimensional input space, for all possible orthoaxial sets of
subdivisions, the performance index is calculated and the one with best performance
is selected. Hence, the LLM neuron becomes divided into two equal halves on the
selected input dimension. Based on such a division, the centers cij and standard
deviations rij of the two new neurons are computed and the fuzzy validity functions
are updated. The centers of new validity functions are the centers of the new
hypercubes. The standard deviation determines the support area for Gaussian validity
functions. Each division of input space is assigned as support area for the
corresponding validity function as well. A schematic of the algorithm used here is
shown in figure 4.
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Fig. 4. First four iteration of LOLIMOT training algorithm (Mirmomeni et al. 2009)

2.4  Genetic Algorithm

GAs was first introduced in the field of Al by Holland(1975). These algorithms
mimic processes from the Darwinian theories of natural evolution in which winners
survive to reproduce and pass along ‘good’ genes to the next generation, and
ultimately, a ‘perfect’ species is evolved. Hence the term ‘genetic’ was adopted as the
name of the mathematical algorithms (Huang er al 1998).The GA works by firstly
encoding the parameters of a given estimator as chromosomes (binary or floating-
point).This is followed by populating a range of potential solutions. Each
chromosome is evaluated by a fitness function. The better parent solutions are
reproduced and the next generation of solutions (children) is generated by applying
the genetic operators (crossover and mutation). The children solutions are evaluated
and the whole cycle repeats until the best solution is obtained (Tamhane e al 2000,
Labani er al 2010).
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3 Data Preparation and Modeling

The above described methods are integrated to predict permeability in an Iranian
carbonate reservoir from conventional well logs. Dataset composed of well logs and
conventional core analysis data. Regression analysis applied to determine more
appropriate log data from a suit of well logs. Sonic, neutron porosity, photo-electric
factor, resistivity, gamma ray and bulk density logs are selected because of their
higher correlation coefficients by permeability. Table 1 summarizes the CC of the
dataset.

Table 1. Correlation coefficient of well logs and permeability

DT NPHI RHOZ log(Rxo) ~ PEF GR log(K)
DT 1
NPHI 0.700784 1
RHOZ -0.92765 0.66458 1
log(Rxo)  -0.40164 -0.57199  0.538567 1
PEF -0.20588 20.15033  0.093485 -0.03 1
GR 0.436083 0010164  -0.52331 040278 02116 1
log(K) 0.758737 0.695619  -0.70051 2045621  -0.23766 0205702 1

Dataset is divided into two parts as training and testing datasets. Different fuzzy
systems are trained using train dataset and validated using test dataset which are not
participated in training of the model.

Clustering methods can be used to clustering input dataset to train the fuzzy
systems better. Subtractive clustering method applied here for SFIS and ANFIS.
Different clustering radiuses were applied and the system is trained by these radiuses.
The best radius is selected based on correlation coefficient and mean square error
while applying the testing set to the trained system. Table 2 provides information
about SFIS using different clustering radiuses. Radiuses start with 0.05 and increase
by 0.05. Some of the best performances of the algorithm are summarized.

Regarding to data in table 2 clustering radius of 0.4 is bolded. This radius provides
the highest CC and lowest MSE for our test dataset.

The same procedure is done for ANFIS training and validation. Different clustering
radiuses applied and the results is summarizes in table 3. Results show a clustering
radius of 0.9 with highest CC and lowest MSE. This radius selected as the optimum
clustering radius for ANFIS model. Note that the training and testing datasets are
same for all algorithms and tried to determine an optimum method to predict
permeability using these algorithms by a reasonable judgment.
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Table 2. Performance of SFIS with different clustering radiuses
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Clustering Radius
0.05
0.10
0.15
0.20
0.25
0.30
0.35
0.40
0.45
0.50
0.55
0.60
0.65
0.70
0.75
0.80
0.85
0.90
0.95
1.00

Test CC

0.784828
0.774934
0.066292
0.856565
0.876732
0.876241
0.886203
0.887279
0.882533
0.880221
0.878480
0.872855
0.871860
0.876562
0.876518
0.877741
0.875678
0.883008
0.883345
0.882983

Test MSE
0.020593
0.022174
0.023806
0.013288
0.010987
0.011138
0.010108
0.010024
0.010410
0.010571
0.010669
0.011218
0.011298
0.010900
0.010892
0.010780
0.010897
0.010280
0.010250
0.010289

Table 3. Performance of ANFIS with different clustering radiuses

Clustering Radius
0.1
0.2
0.3
0.4
0.5
0.6
0.7
0.8
0.9
1

Test CC

0.734966
0.841352
0.804725
0.865821
0.868407
0.837793
0.829975
0.837213
0.888307
0.887909

Test MSE
0.030189
0.014313
0.017472
0.011825
0.01164
0.014704
0.015793
0.015249
0.009903
0.009931
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The third algorithm which used to predict permeability was LLNF. By means of
LOLIMOT algorithm, both thenumber of neurons and the parameters of LLMs are
trained. Table 4 summarizes the training and testing procedure of this algorithm. Data
demonstrate that after 5 neurons by increase number of neurons the training error
decreases but the test error doesn’t decrease any more. So this can be used to
determine optimum number of neurons for permeability prediction. The CC of this
algorithm for test data set is better than both previous ones. This can verify the
strength of LLNF to predict permeability from well log data in present dataset.

Table 4. Performance of LLNF with different No. of parts

No of Parts  training CC
1 0.810702
2 0.85783
3 0.876325
4 0.885677
5 0.897748
6 0.901733
7 0.908348
8 0.910311
9 0.915118
10 0.920496
11 0.924747
12 0.928325
13 0.930344
14 0.934114
15 0.936025
16 0.936743
17 0.937592
18 0.941038
19 0.944545
20 0.945297

training MSE
0.018842
0.014561
0.012772
0.011868
0.010696
0.010281
0.009621
0.009425
0.008938
0.008396
0.007968
0.007601
0.007393
0.007006
0.006811
0.006737
0.006652
0.006298
0.005944
0.005866

test CC

0.822663
0.877942
0.880322
0.877718
0.879046
0.877508
0.887413
0.882055
0.876151
0.884541
0.872399
0.877342
0.875677
0.877777
0.877483
0.877531
0.878007
0.871913
0.870022
0.876472

test MSE
0.015258
0.010716
0.010504
0.010874
0.010925
0.011123
0.01024
0.010773
0.011212
0.010596
0.0119
0.011502
0.011684
0.011978
0.011976
0.011987
0.012067
0.012903
0.013036
0.012563

In order to apply GA method we need a cost function. This cost function can be
minimized by GA to obtain the optimum condition for our problem. The cost function
here is defined as an error function:

MSE =" (w,SFIS, + w,ANFIS, + w,LLNF, —T,)’

i=1

&)
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wi, Wy and w; are the weight factors and Ti; is target values. The initial population size
is set to 20 which specifies the number of individuals in each generation, and the
initial range is [0, 1]which specifies the range of the individuals in the initial
population. The initial population is generated with a random process covering the
entire problem space. The maximum number of generations that specifies the
maximum number of GA iterations is set to 100. The next generation is produced
using crossover and mutation operators with default functions in the GA toolbox.

The defined algorithm applied on training data and the results of that is validated
using test dataset. The following formula describe the weight factors of each data for
final prediction.

MSE =" (0.115* SFIS, +0.229 * ANFIS, +0.66 * LLNF, ~T,)* (6)

i=1

Results show that this algorithm can improve CC of the test dataset, but not so much.
Table 5 summarizes the results of these algorithms. Figure 6 compare test dataset and
each algorithm predictions.

Table 5. Summary of different applied methods

Algorithm MSE CC

SFIS 0.887279 0.010024
ANFIS 0.888307 0.009903
LLNF 0.887413 0.01024
Combined (GA) 0.8881 0.0106

real
—SFIS

LLMWF
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4 Conclusion

Different fuzzy based methods were applied to predict permeability. The performance
of each method is evaluated using a test dataset which is not participated in training.
The results show that the ability of all methods are approximately same for all
algorithms with a little differences. ANFIS provide the best correlation coefficient
and also least mean square error for this dataset. The LLNF model also can predict
with a lower MSE than combined method. Using different decision making scenarios
like MSE and CC can chose different algorithms for prediction but ANFIS here
provide the most powerful one regard to MSE and CC. Results show that all the fuzzy
algorithms can mimic the real data trends to some extent.
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Abstract. In this paper we present a method for debugging XPath
queries which has been implemented with the fuzzy logic language MALP
by using the FLOPER, tool developed in our group. We describe how
XPath expressions can be manipulated for obtaining a set of alternative
queries matching a given XML document. For each new proposed query,
we give a “chance degree” that represents an estimation on its devia-
tion w.r.t. the initial expression. Our work is focused on providing to the
programmers a repertoire of paths which can be used to retrieve answers.

Keywords: XPath, Fuzzy (Multi-adjoint) Logic Programming,
Debugging.

1 Introduction

The eXtensible Markup Language (XML) is widely used in many areas of com-
puter software to represent machine readable data. XML provides a very simple
language to represent the structure of data, using tags to label pieces of textual
content, and a tree structure to describe the hierarchical content. XML emerged
as a solution to data exchange between applications where tags permit to lo-
cate the content. XML documents are mainly used in databases. The XPath
language [1] was designed as a query language for XML in which the path of
the tree is used to describe the query. XPath expressions can be adorned with
boolean conditions on nodes and leaves to restrict the number of answers of the
query. XPath is the basis of a more powerful query language (called XQuery)
designed to join multiple XML documents and to give format to the answer.

In spite of the simplicity of the XPath language, the programmer usually
makes mistakes describing the path in which the data are allocated. Tipically,
the programmer omits some of the tags of the path, adds more than necessary,
and also uses similar but wrong tag names. When the query does not match to

* The author’s work has been supported by the Spanish Ministry MICINN and In-
genieros Alborada IDI under grant TRA2009-0309, and the Junta de Andalucia
(proyecto de excelencia) under grant TIC-6114.
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the tree structure of the XML tree, the answer is empty. However, we can also
find the case in which the query matches to the XML tree but the answer does
not satisfy the programmer. Due to the inherent flexibility of XML documents,
the same tag can occurs at several positions, and the programmer could find
answers that do not correspond to her (his) expectations. In other words, (s)he
finds a correct path, but a wrong answer. We can also consider the case in which
a boolean condition is wrong, expressing a wrong range, and several boolean
conditions that do not hold at the same time. When the programmer does not
find the answer is looking for, there is a mechanism that can try to debug the
query. In XPath there exists an operator, denoted by ‘//’, that permits to look
for the tag from that position. However, it is useless when the tag is present
at several positions, since even though the programmer finds answers, does not
know whether they are close to her (his) expectations.

XPath debugging has to take into account the previous considerations. Par-
ticularly, there is an underlying notion of chance degree. When the programmer
makes mistakes, the number of bugs can be higher or lower, and the chance
degree is proportional to them. Moreover, there are several ways on which each
bug can be solved, and therefore the chance degree is also dependent from the
number of solutions for each bug, and the quality of each solution. The quality of
a solution describes the number of changes to be made. Finally, there is a case in
which we have also focused our work. The case in which the mistake comes from
a similar but wrong used tag. Here, the chance degree comes from the semantic
closeness of the used tag.

Our proposed XPath debugging technique is guided by the programmer that
initially establishes a value (i.e., a real value between 0 and 1), used by the
debugger to penalize bugs in a proportional way. Additionally, we assume that
the debugger is equipped with a table of similarities, that is, pairs of similar
words with an assigned value in the range [0..1]. It makes possible that chance
degrees be computed from similarity degrees.

The debugger reports a set of annotated paths by using an extended XPath
syntax incorporating three annotations: sump, swap and peLeTE. JuMp is used to rep-
resent that some tags have been added to the original expression, swap is used to
represent that a tag has been changed by another one and, peLetE is used to rep-
resent that a tag has been removed. Moreover, the reported XPath expressions
updates the original XPath expression, that is: case sup incorporates ‘//’ at the
position in which the bug is found; case swap includes the new tag; and finally
case DELETE removes the wrong tag.

Additionally, our proposal permits the programmer to test the reported XPath
expressions. The annotated XPath expressions can be executed in our tool
(http://dectau.uclm.es/fuzzyXPath/) in order to obtain a ranked set of
answers w.r.t. the chance degree. It facilitates the process of debugging because
programmers can visualize answers to each query in a very easy way. Our imple-
mentation has been developed on top of the recently proposed fuzzy XPath ex-
tension [203], which uses fuzzy logic programming to provide a fuzzy taste to XPath
expressions. The implementation has been coded with the fuzzy logic programming
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language MALP and developed with the FLOPER, tool designed in our research
group and freely accessible from http://dectau.uclm.es/floper/.

Although our approach can be applied to standard (crisp) XPath expressions,
chance degrees in XPath debugging fits well with our proposal. Particularly,
XPath debugging annotations can be seen as annotations of XPath expressions
similary to the proposed peer and pown of fuzzy XPath [2/3]. peer and pown serve
to annotate XPath expressions and to obtain a ranked set of answers depending
on they occur, more deeply and from top to down. Each answer is annotated
with a RSV (Retrieval Status Value) which describes the degree of satisfaction
of the answer. Here suwp, suap and peLete penalize the answers of annotated XPath
expressions. peep and Juvp have, in fact, the same behavior: sup proportionally
penalizes answers as deep as they occur. Moreover, in order to cover with suap,
we have incorporated to our framework similarity degrees. Finally, let us remark
that the current work is an extension of our previous published work [4].

The structure of the paper is as follows. After summarizing in Section 2] our
fuzzy extension of XPath [2/3], in Section [ we describe our debugging technique.
Implementation details are drawn in Section @l

2 Fuzzy XPath

In this section we summarize the main elements of our proposed fuzzy XPath
language described in [23]. We firstly incorporate two structural constraints
called pown and peer to which a certain degree of relevance is associated. So,
whereas pown provides a ranked set of answers depending on the path they are
found from “top to down” in the XML document, peep provides a ranked set of
answers depending on the path they are found from “left to right” in the XML
text. Both structural constraints can be used together, assigning importance’s
degrees with respect to the distance to the root XML element.

Secondly, our fuzzy XPath incorporates fuzzy variants of and and or for XPath
conditions. Crisp and and or operators are used in standard XPath over boolean
conditions, and enable to impose boolean requirements on the answers. XPath
boolean conditions can be referred to attribute values and node content, in the
form of equality and range of literal values, among others. However, the and and
or operators applied to two boolean conditions are not precise enough when the
programmer does not give the same value to both conditions. For instance, some
answers can be discarded when they could be of interest by the programmer, and
accepted when they are not of interest. Besides this, programmers would need
to know in which sense a solution is better than another. When several boolean
conditions are imposed on a query, each one contributes to satisfy the program-
mer’s preferences in a different way and perhaps, the programmer’s satisfaction
is distinct for each solution.

We have enriched the arsenal of operators of XPath with fuzzy variants of and
and or. Particularly, we have considered three versions of and: and+, and, and-
(and the same for or: or+, or, or-) which make more flexible the composition of
fuzzy conditions. Three versions for each operator that come for free from our
adaptation of fuzzy logic to the XPath paradigm.
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One of the most known elements of fuzzy logic is the introduction of fuzzy
versions of classical boolean operators. Product, fukasiewicz and Gdodel fuzzy
logics are considered as the most prominent logics and give a suitable semantics
to fuzzy operators. Our contribution is now to give sense to fuzzy operators into
the XPath paradigm, and particularly in programmer’s preferences. We claim
that in our work the fuzzy versions provide a mechanism to force (and debilitate)
conditions in the sense that stronger (and weaker) programmer preferences can
be modeled with the use of stronger (and weaker) fuzzy conditions. The com-
bination of fuzzy operators in queries permits to specify a ranked set of fuzzy
conditions according to programmer’s requirements.

Furthermore, we have equipped XPath with an additional operator that is
also traditional in fuzzy logic: the average operator avg. This operator offers the
possibility to explicitly give weight to fuzzy conditions. Rating such conditions
by awvg, solutions increase its weight in a proportional way. However, from the
point view of the programmer’s preferences, it forces the programmer to quantify
his(er) wishes which, in some occasions, can be difficult to measure. For this
reason, fuzzy versions of and and or are better choices in some circumstances.

Finally, we have equipped our XPath based query language with a mechanism
for thresholding programmer’s preferences, in such a way that programmer can
request that requirements are satisfied over a certain percentage.

The proposed fuzzy XPath is described by the following syntax:

xpath := [['deep-down‘]’ |path
path := literal | text() | node | @att | node/path | node//path
node := QName | QName[cond]

cond := xpath op xpath | xpath num-op num
deep := pEEP=num
down := pown=num
deep-down := deep | down | deep ‘;” down
num-op := > | =] < | <>
fuzzy-op := and | and—+ | and- | or | or+ | or- | avg | avg{num,num}
op := num-op | fuzzy-op

Basically, our proposal extends XPath as follows:

— Structural constraints. A given XPath expression can be adorned with
«[pEEP = 71 ; DOWN = 72]» Which means that the deepness of elements is penalized
by r1 and that the order of elements is penalized by 73, and such penalization
is proportional to the distance (i.e., the length of the branch and the weight
of the tree, respectively). In particular, «[peep = 1; pown = r2]» can be used for
penalizing only w.r.t. document order. peer works for //, that is, the deepness
in the XML tree is only computed when descendant nodes are explored, while
pown works for both / and //. Let us remark that peer and powv can be used
several times on the main path expression and/or any other sub-path included
in conditions.

— Flexible operators in conditions. We consider three fuzzy versions for
each one of the classical conjunction and disjunction operators (also called
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&p(z,y) =z *y |
&q(,y) = min(z,y) |
&u(z,y) = max(z +y —1,0) |

p(z,y) =x+y—x*xy Product: and/or
(%, y) = max(z,y) Gadel: and+/or-
L(z,y) = min(z +y,1)  Luka.: and-/or+

«

Fig. 1. Fuzzy Logical Operators

<bib>
<name>Classic Literature</name>
<book year="2001" price="45.95">
<title>Don Quijote de la Mancha< /title>
<author>Miguel de Cervantes Saavedra< /author>
<references>
<novel year="1997" price="35.99" >
<name>La Galatea</name>
<author>Miguel de Cervantes Saavedra</author>
<references>
<book year="1994" price="25.99">
<title>Los trabajos de Persiles y Sigismunda< /title>
<author>Miguel de Cervantes Saavedra< /author>
</book>
< /references>
</novel>
< /references>
</book>
<novel year="1999" price="25.65">
<title>La Celestina< /title>
<author>Fernando de Rojas</author>
</novel>
< /bib>

Fig. 2. Input XML document in our examples

connectives or aggregators) describing pessimistic, realistic and optimistic
scenarios, see Figure[[l In XPath expressions the fuzzy versions of the con-
nectives make harder to hold boolean conditions, and therefore can be used
to debilitate/force boolean conditions. Furthermore, assuming two given
RSV’s r1 and ry, the avg operator is obviously defined with a fuzzy taste as
(r1 + r2)/2, whereas its priority-based variant, i.e. avg{p1,p2}, is defined as
(p1* 71+ p2*72)/P1 + Do

In general, a fuzzy XPath expression defines, w.r.t. an XML document, a se-
quence of subtrees of the XML document where each subtree has an associated
RSV. XPath conditions, which are defined as fuzzy operators applied to XPath
expressions, compute a new RSV from the RSVs of the involved XPath expres-
sions, which at the same time, provides a RSV to the node. In order to illustrate
these explanations, let us see some examples of our proposed fuzzy version of
XPath according to the XML document shown of Figure

Ezxample 1. Let us consider the fuzzy XPath query of Figure Bl requesting title’s
penalizing the occurrences from the document root by a proportion of 0.8 and
0.9 by nesting and ordering, respectively, and for which we obtain the file listed
in Figure Bl In such document we have included as attribute of each subtree,
its corresponding RSV. The highest RSVs correspond to the main books of the
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Document RSV computation
<result>

<title rsv="0.8000">Don Quijote de la Mancha< /title> 0.8000 = 0.8

<title rsv="0.7200">La Celestina< /title> 0.7200 = 0.8 % 0.9

<title rsv="0.2949">Los trabajos de Persiles y ...</title> 0.2949 = 0.8% x 0.9
< /result>

Fig. 3. Execution of the query «/bib|peep=0.8;p0wv=0.9]//title»

Document RSV computation
<result>
<title rsv="1.00">Los trabajos de Persiles y ....</title> 1.00 = (3*1+1x%1)/(3+1)
<title rsv="0.25">Don Quijote de la Mancha< /title> 0.25=(3*0+1%1)/(3+1)
< /result>

Fig. 4. Execution of the query «//book[@year<2000 avg{3,1} @price<50|/title»

Document RSV computation
<result>

<title rsv="0.25">Don Quijote de la Mancha< /title> 0.25 = (3 * 04+ 1%1)/(3+4+1)

<title rsv="0.0625">Los trabajos de ...</title> 0.0625 =0.5" * (31 +1x%1)/(3+1)
< /result>

Fig.5. Execution of the query «/bib[pEep=0.5]//book|[@year<2000 avg{3,1}
@price<50]/title»

document, and the lowest RSVs represent the books occurring in nested positions
(those annotated as related references).

Ezample 2. Figure [ shows the answer associated to a search of books, possibly
referenced directly or indirectly from other books, whose publishing year and
price are relevant but the year is three times more important than the price.
Finally, in FigureBlwe combine both kinds of (structural/conditional) operators,
and the ranked list of solutions is reversed, where “ Don Quijote” is not penalized
with pegp.

3 Debugging XPath

In this section we propose a debugging technique for XPath expressions. Our
debugging process accepts as inputs a query @ preceded by the [pesuc=r| com-
mand, where 7 is a real number in the unit interval. For instance, «[pesuc=0.5]
/bib/book/titles.

Assuming an input XML document like the one depicted in Figure B the
debugging produces a set of alternative queries Q1, ..., Q,, packed into an output
XML document with the following structure (see also Figure [B]):

<result>
<query cd="r1" attributes;> Q1 </query>
<query cd="r," attributes, > Q, </query>
</result>
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<result>

<query ecd="1.0">/bib/book/title</query>

<query cd="0.8" book="novel" > /bib/[SWAP=0.8]novel/title< /query>

<query cd="0.5" book="//">/bib/[JUMP=0.5]//title</query>

<query e¢d="0.5" bib="//">/[JUMP=0.5]//book /title< /query>

<query cd="0.45" book="" title="name"> /bib/[DELETE=0.5][SWAP=0.9]name< /query>

<query cd="0.4" bib="//" book="novel">/[JUMP=0.5]//[SWAP=0.8]novel/title< /query>

<query cd="0.25" book="" title="//">/bib/[DELETE=0.5][JUMP=0.5]/ /title</query>

<query cd="0.25" book="//" book="">/bib/[JUMP=0.5]//[DELETE=0.5]title</query>

<query cd="0.25" bib="" book="//">/[DELETE=0.5][JUMP=0.5]//book/title< /query>

<query c¢d="0.25" bib="//" book="//">/[JUMP=0.5]//[JUMP=0.5]/ /title< /query>

<query cd="0.25" bib="//" bib="">/[JUMP=0.5]//[DELETE=0.5]book/title</query>

<query cd="0.225" title="//" title="//" title="name">
/bib/book/[JUMP=0.5]//[JUMP=0.5]//[SWAP=0.9]name< /query>

<query cd="0.225" bib="" book="//" title="name">
/[DELETE=0.5][JUMP=0.5]//[SWAP=0.9]name< /query>

<query cd="0.225" bib="//" book="" title="name">
/[JUMP=0.5]//[DELETE=0.5][SWAP=0.9]name< /query>

<query cd="0.2" bib="" book="//" book="novel">
/[DELETE=0.5][JUMP=0.5]//[SWAP=0.8]novel/title< /query>

< /result>

Fig. 6. Debugging query «|[pEBuec=0.5]/bib/book /title»

where the set of alternative queries is ordered with respect to the CD key. This
value measures the chance degree of the original query with respect to the new
one, in the sense that as much changes are performed on @; and as more trau-
matic they are with respect to @, then the CD value becomes lower.

In Figure[6] the first alternative, with the highest CD, is just the original query,
thus, the CD is 1, whose further execution should return «Don Quijote de La Man-
chay. Our debugger runs even when the set of answers is not empty, like in this
case. The remaining options give different CD’s depending on the chance degree,
and provide XPath expressions annotated with suup, peLeTE and swap commands.

In order to explain the way in which our technique generates the attributes
and content of each query tag in the output XML debugging document, let us
consider a generic path @ of the form: «[psuc=r|/tagi/.../tag;/tagi+1/...», where
we say that tag; is at level 7 in the original query. So, assume that when exploring
the input query @ and the input XML document D, we find that tag; in @ does
not occurs at level ¢ in (a branch of) D. Then, we consider the following three
situations.

3.1 Swapping Case

Instead of tag;, we find tag; at level ¢ in the input XML document D, where
tag; and tag, are two similar terms with similarity degree s. Then, we generate
an alternative query by adding the attribute tag; ="tag," and replacing in the
original path the occurrence "tag;/" by "[suar= s]tag}/". The second query pro-
posed in Figure [0l illustrates this case:

« <query cd="0.8" book="novel" > /bib/[suar=0.8|novel/title< /query> »
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Let us observe that : 1) we have included the attribute «book="novel"» in
order to suggest that instead of looking now for a book, finding a novel should
be also a good alternative, 2) in the path we have replaced the tag book by novel
and we have appropriately annotated the exact place where the change has been
performed with the annotation [swap=0.8] and 3) the CD of the new query has
been adjusted with the similarity degree 0.8 of the exchanged tags.

Now, it is possible to launch with our FuzzyXPath interpreter, the execution of
the (fuzzy) XPath queries «/bib/novel/title» and «/bib/[swap=0.8]novel/titles.
In both cases we obtain the same result, i.e., «La Celestina» but with different
RSV (or Retrieval Status Value): 1 and 0.8, respectively.

3.2 Jumping Case

Even when tag; is not found at level ¢ in the input XML document D, tag;11
appears at a deeper level (i.e., greater than 4) in a branch of D. Then, we
generate an alternative query by adding the attribute tag;="//", which means
that tag; has been jumped, and replacing in the path the occurrence "tag i/"
by "[suwe=r|//", where r is the value associated to pesuc.

This situation is illustrated by the third and fourth queries in Figure [l where
we propose to jump tags book and bib. The execution of the queries returns
different results, and as more tags are jumped, the resulting CD’s become lower.
Let us see the results of «/bib/[sump=0.5]//title» and «/[sump=0.5]//book/title»,
respectively:

<result>

<title rsv="0.5">Don Quijote de la Mancha< /title>

<title rsv="0.5">La Celestina< /title>

<title rsv="0.03125">Los trabajos de Persiles y Sigismunda< /title>
< /result>

<result>

<title rsv="0.5">Don Quijote de la Mancha< /title>

<title rsv="0.03125">Los trabajos de Persiles y Sigismunda< /title>
< /result>

3.3 Deletion Case

This scenario emerges when at level ¢ in the input XML document D, we found
tag;+1 instead of tag;. So, the intuition tell us that tag; should be removed from
the original query @ and hence, we generate an alternative query by adding
the attribute tag;="" and replacing in the path the occurrence "tag /" by
"[peceTE=T]", being r the value associated to pesuc.

This situation is illustrated by the fifth query in Figure [ where the dele-
tion of the tag book is followed by a swapping of similar tags title and name.
The CD 0.45 associated to this query is defined as the product of the values
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associated to both pecete (0.5) and swap (0.9), and hence the chance degree of
the original one is lower than the previous examples. So, the execution of query
«/bib/[peLErE=0.5][swap=0.9]name», should produce the XML-based output:

<result>
<name rsv="0.45">Classic Literature< /name>
< /result>

As we have seen in the previous example, the combined use of one or more
debugging commands (swap, Juwp and peLetE) is not only allowed but also frequent.
In other words, it is possible to find several debugging points.

When executing a query like «/[peLere=0.5][sup=0.5]//[swap=0.9]name» , with
several changes on its body (w.r.t. the original goal) and a CD 0.225 quite low,
the RSV of the result is low too, since it has been obtained by multiplying the
three values associated to the deletion of the tag bib (0.5), jumping the tag book
(0.5) and the swapping of title by name (0.9):

<result>
<name rsv="0.225">Classic Literature< /name>
<name rsv="0.028125">La Galatea< /name>

< /result>

It is important to note that the wide range of alternatives proposed by our
technique (Figure [ is still incomplete), reveals its high level of flexibility: pro-
grammers are free to use the alternative queries to execute them, and to inspect
results up to their intended expectations.

Finally, we would like to remark that even when we have worked with a very
simple query with three tags in our examples, our technique works with more
complex queries with large paths and connectives in boolean conditions, as well
as pesuG used in several places on the query. For instance, in Figure [0, we show
the result of debugging the following query: «|pesuc=0.7]/bib/[pEBUc=0.6]|b00k/
[pEBUG=0.5]title».

4 Some Implementation Hints with MALP and FLOPER

In this section we assume familiarity with logic programming and its most pop-
ular language Prolog [5], for which MALP [6] (Multi-Adjoint Logic Programming
) allows a wide repertoire of fuzzy connectives connecting atoms in the bodies
of clauses. Although the core of our application is written with (fuzzy) MALP
rules, our implementation is based on the following items:

1. We have reused/adapted several modules of our previous Prolog-based im-
plementation of (crisp) XPath described in [9I10].

2. We have used the SWI-Prolog library for loading and writing XML files, in
order to represent a XML document with Prolog term?.

! See also [7I8] and visit http://dectau.uclm.es/floper| for downloading our
FLOPER system.
2 The notion of term (i.e., data structure) is just the same in MALP as in Prolog.
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<result>

<query ecd="1.0">/bib/book/title</query>

<query cd="0.8" book="novel" > /bib/[SWAP=0.8]novel/title< /query>

<query cd="0.7" bib="//">/[JUMP=0.7]/ /book/title< /query>

<query cd="0.6" book="//">/bib/[JUMP=0.6]//title</query>

<query cd="0.56" bib="//" book="novel">/[JUMP=0.7]//[SWAP=0.8]novel/title< /query>

<query cd="0.54" book="" title="name"> /bib/[DELETE=0.6][SWAP=0.9]name< /query>

<query cd="0.42" bib="" book="//">/[DELETE=0.7][JUMP=0.6]//book/title< /query>

<query cd="0.42" bib="//" book="//">/[JUMP=0.7]//[JUMP=0.6]/ /title</query>

<query cd="0.378" bib="" book="//" title="name">
/[DELETE=0.7][JUMP=0.6]//[SWAP=0.9]name< /query>

<query cd="0.378" bib="//" book="" title="name">
/[JUMP=0.7]//[DELETE=0.6][SWAP=0.9]name< /query>

<query cd="0.336" bib="" book="//" book="novel">
/[DELETE=0.7][JUMP=0.6]//[SWAP=0.8]novel/title< /query>

<query cd="0.3" book="" title="//">/bib/[DELETE=0.6][JUMP=0.5]//title< /query>

<query cd="0.2646" bib="//" bib="" book="" title="name">
/[JUMP=0.7]//[DELETE=0.7][DELETE=0.6][SWAP=0.9]name< /query>

</result>

Fig. 7. Debugging of the query «|peBuc=0.7]/bib/[pEBUc=0.6]book /[DEBUG=0.5]titlex»

[element (bib, [],
[element (book, [year=2001,price=45.95],
[element(title, [], [Don Quijote de la Manchal),
element (author, [], [Miguel de Cervantes Saavedral),
element (publications, [],
[element (book, [year=1997,price=35.99],
[element (title, []1,[La Galateal),
element (author, [], [Miguel de Cervantes Saavedral),
element (publications, [1,...1)...1),1)1)

Fig. 8. A Prolog term representing a XML document

3. The parser of XPath has been extended to recognize new keywords such as
pesue and others like peep, pown, avg, etc. with their proper arguments.

4. Each tag is represented as a data-term of the form: element (Tag, Attri-
butes, Subelements), where Tag is the name of the XML tag, Attributes
is a Prolog list containing the attributes, and Subelements is a Prolog list
containing the sub-elements (i.e. subtrees) of the tag. For instance, the doc-
ument of Figure [ is represented in SWI-Prolog like in Figure Bl

5. A predicate called fuzzyXPath where fuzzyXPath (+ListXPath,+Tree,+De-
ep,+Down) receives four arguments: (1) ListXPath is the Prolog represen-
tation of an XPath expression; (2) Tree is the term representing an input
XML document and (3) peep/pown.

6. The evaluation of the query generates a truth value which has the form of a
tree, called tv tree. Basically, the fuzzyXPath predicate traverses the Prolog
tree representing a XML document annotating into the tv tree the corre-
sponding peep /pown values. These actions directly revert on the new predicate
debugQuery implementing the ideas described in this work.

7. Finally, the tv tree is used for computing the output of the query, by
multiplying the recorded values. A predicate called tv_to_elem has been
implemented to output the answer in a pretty way.
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tv(0.9,[[],
tv(0.9, [element (title, [], [Don Quijote de la Manchal),[],
tv(1, 000,00,
tv(1,[[],
tv (0.9, [[1,
tv(0.9, [element (title, [], [La Galateal),[],
tv(1, 000,00,
tv(1, [,
tv(0.9,[[],
tv(0.9, [element (title, [], [Los trabajos de Persiles..]),...]),
tv(0.8,[[],
tv(0.9, [element (title, [], [La Celestinal),[],[]11),...

Fig. 9. Example of a XML output in MALP

More details about our implementation of the flexible version of the XPath inter-
preter and debugger reported in this paper are available on:
http://dectau.uclm.es/fuzzyXPath/| (please, try with the on-line tools).

5 Conclusions and Future Work

In this paper we have presented an approach for XPath debugging. The result
of the debugging process of a XPath expression is a set of alternative queries,
each one associated to a chance degree. We have proposed suvp, peLeTE and swap
operators that cover the main cases of programming errors when describing a
path about a XML document. Our implemented and tested approach has a fuzzy
taste in the sense that XPath expressions are debugged by relaxing the shape of
path queries with chance degrees.

Although XML files are extensively used in many applications, the debugging
of XPath queries has not been studied enough in the literature. Some authors
have explored this topic [11], where the functional logic language TOY has been
used for debugging XPath expressions. There the debugger is able to assist the
programmer when a tag is wrong, providing alternative tags, and to trace exe-
cutions. The current work can be considered as an extension of the quoted work.
Here, our debugging technique gives to programmers a chance degree for each
proposed alternative by annotating wrong-points on XPath expressions. We have
based our approach in the works [12/T3], where XPath relaxation is studied by
giving some rules for query rewriting: axis relaxation, step deletion and step
cloning, among others. However, they do not give chance degrees associated to
wrong XPath expressions.

We are nowadays introducing thresholding techniques on our fuzzy XPath in
order to increase its performance when dealing with massive XML files. Our idea
is to create filters for prematurely disregarding those superfluous computations
dealing with non-significant solutions. In [14] we have reported some successful
thresholding-based techniques specially tailored for MALP.
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Abstract. This work describes the design of a bot for the first person
shooter Unreal Tournament™ 2004 (UT2K4), which behaves as a hu-
man expert player in 1 vs. 1 death matches. This has been implemented
modelling the actions (and tricks) of this player, using a state-based IA,
and supplemented by a database for ‘learning’ the arena. The expert
bot yields excellent results, beating the game default bots in the hardest
difficulty, and even being a very hard opponent for the human players
(including our expert). The AI of this bot is then improved by means
of three different approaches of evolutionary algorithms, optimizing a
wide set of parameters (weights and probabilities) which the expert bot
considers when playing. The result of this process yields an even better
rival; however the noisy nature of the fitness function (due to the pseudo-
stochasticity of the battles) makes the evolution slower than usual.

1 Introduction

A bot is an autonomous agent which tries to behave as a human player, normally
fighting against some other humans/bots in a computer game. There are different
types of bots in addition to the opponents, such as the cooperative players (try
to aid the main player). They essentially refer to an Artificial Intelligence (AI)
engine which is able to perform the same actions in a game as a human player.

First Person Shooter games (FPS) are one of the most profitable area in the
study /implementation of bots due to their usual open-code philosophy. They are
games where the player can only see the hands and the current weapon of his
character, and has to fight against enemies by shooting to them. They usually
have a multiplayer fighting mode placed in a limited arena.

Unreal game series follows this philosophy to make it easy the game-modding
(modification), including with every copy of the game an editor (UnrealEd),
an own programming language (UnrealScript), and a compiler, to add/change

I. Rojas, G. Joya, and J. Cabestany (Eds.): IWANN 2013, Part II, LNCS 7903, pp. 312-B23] 2013.
© Springer-Verlag Berlin Heidelberg 2013
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almost whatever the user desires: scenarios, items, characters; just with a few
constraints. The state-based Al engine is also open.

Moreover, some additional tools have arisen some years ago, such as Game-
Bot, a mod that allows the control of characters (bots) in the game through
network connections to other programs. The game sends character’s sensory
information to the client program, which can decide the actions the bot will
take. These actions are sent back to the game which interprets them for the
bot movement, shooting, jumping, etc. It was initially released for the Unreal
sequel Unreal Tournament™ (UT) and later implemented for UT 2003. Over the
basis of that tool, it was later launched PogamuiE, which defines an interface
(using GameBots architecture) to program the bots externally using Java. It was
implemented for Unreal Tournament™ 2004 (UT2K4).

These open-code possibilities and external tools are the main reasons why this
game environment has been widely considered in the computational intelligence
researching field [12]3].

This work is also embedded in the UT2K4 environment, and uses Pogamut for
implementing a bot which we have named UT Ezpert Bot (E-Bot). Its behaviour
(AI) follows a shape of Finite State Machine (based in two levels of states), that
describes a complex set of rules. These rules are based in the knowledge of an
UT2K4 Spanish expert player and are focused on I vs I Death Match battle. It
has been modelled according to his experience, including several tricks, as the hu-
mans players do, for getting a better behaviour in the game. We have considered
the rules defined in the official competitions of UT2K4 for human players, such as:
there are some items forbidden (U-Damage), weapons are not respawned and the
match runs for 15 minutes, not for a number of frags (number of enemies killed).

Once E-Bot has been completely defined and tested (it beats the default
game bots in the hardest difficulty levels), we have designed some evolutionary
approaches based on the application of a Genetic Algorithm (GA)[4] for opti-
mizing the set of parameters (weights, probabilities, thresholds) which the rules
of behaviour apply, following previous approaches [35], but considering an own
created behavioural model as the main difference with regard to these works,
where the standard Al in the game was improved.

A GA is an algorithm where a population of possible solutions (called individu-
als) are evolved by means of selection and recombination/mutation to create a new
set of candidates that compete using their fitness (quality of adaptation) with the
rest of solutions, until a stop criterion (i.e. number of generations) is met. Fitness
function is a quality function that gives the grade of adaptation of an individual
respect the others. This function usually models the problem to solve.

2 State of the Art

Bots have been widely used in games since 1992, when Quake™ became the
first known game in including autonomous characters. It presented not only the

! http://gamebots.sourceforge.net/
2 http://pogamut . cuni .cz/main/tiki-index . php
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option of playing against machine-controlled bots, but also the possibility to
modify them or create new ones. Some Al approaches arose such as the SOAR
Quakebot [6], which modelled a human-like behaviour.

Unreal™ appeared some years later, being as stated in the previous section, the
first game in including an easily programming environment and a more powerful
language, thus plenty of bots were developed. However just a few of them applied
metaheuristics or complex Al techniques, and most of these bots were based in
predefined hard-coded scripts.

The studies involving computer games and the improvement of some compo-
nents of the characters’ Al appeared some years ago [7], but the use of meta-
heuristics to study (and improve) specifically the behaviour of the bots inside
FPSs, have arisen in the last few years. We started our research in this field
in 2001, publishing our results in national conferences (in Spanish). We applied
a Genetic Algorithm to improve the parameters in the bots Al core (as later
several authors did [§]), and to change the way of controlling the bots by au-
tomatically redefining, by means of Genetic Programming, the standard set of
rules of the main states.

Some other evolutionary approaches have been published, such as [9], where
evolution and co-evolution techniques have been applied, or [2] in which an
evolutionary rule-based system has been applied. The two latter developed inside
the Unreal Tournament™ 2004 environment (UT2K4).

There are several studies involving other techniques, such as Self-Organizing
Maps, Machine Learning, or Neural Networks, to cite a few. Another line of
research involves the human-like bots (which try to imitate the human’s be-
haviour) [I]. There is even a competition which searches for the ‘most human’
bot [10] in UT2KA4.

Our work is devoted to present and study two ideas: first a human-like bot,
based in a human expert knowledge modelling is described; second the bot is
improved by means of evolutionary computation, as in previous works [3[5], but
starting from an own created Al engine, not the standard one.

3 UT2K4 Expert Bot

The design of the expert bot (E-Bot) Al is based in the knowledge of an expert
(human) player, Me$$/@h, who belongs to the best Spanish UT2K4 clan, Trauma
Reactor (dRd), and who has participated in some European championships.
He is one of the authors of the paper and has designed and implemented the
main work flow of the bot’s behaviour. As a summary, F-Bot is implemented
considering hierarchical states (primary and secondary), a set of rules to decide
the correspondent states, and a (simple) database.

Some tips have to be taken into account as part of the expert knowledge
to model. Thus, the items and weapons are critically valuable in a 1 vs I Death
Match. Tt is even more important to consider the respawn timing of each of
them, i.e. the time it takes to appear again once an item has been picked up.
The importance grows in this mode since if one player picks one item/weapon,
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he/she prevents the opponent for profiting it (while he/she does, of course).
Expert players must control this time in order to move to a known respawn area
in the moment an item appears. These conditions (timing and locations) depend
on the map, which the player should know (or learn).

The main items include: Shields (provide protection points), Health packs
(health points), and Adrenaline (which can provide the player special states
such as invisibility or faster movement).

Weapons in UT2K4 have been ‘carefully’ designed to be all of them equally
useful and important (as a difference to other games), so there is no absolutely
better weapon than the rest. Everyone has a perfect moment to use and take
advantage over other weapons. The choice of this moment is an expert decision
that depends on several factors such as the player’s and enemy’s health, the
distance to enemy or the height/level where it is placed. The considered weapons
are: Shield Gun, Assault Rifle, Link Gun, Bio Rifle, Minigun, Rocket Launcher,
Flak-Cannon, Shock Rifle, and Lightning Gun.

The movement is another key factor in UT2K4, since it could mean the differ-
ence between win or lose. Players usually move jumping, in order to avoid being
shot easily. This is a problem of our approach because Pogamut movement mod-
ule does not implement the jump.

The proposed E-Bot uses a ‘simple’ database, which stores the location of
every (new) item it founds while moving around the maps (searching for enemies
or just exploring to learn), as the human players do the first times in a new
arena. Additional information could be stored, but we think this is enough for
this initial version.

The use of Pogamut implies we cannot consider the FSM defined in the UT2K4
bot’s Al, thus, a complete Al engine has been designed and implemented. How-
ever, we have profited Pogamut’s high-level functions, such as basic navigation
from point to point in a map, or the so-called listeners (triggers for detecting
events).

The E-Bot’s Al module considers two levels of states: primary and secondary.
The first ones correspond to general actions to perform: Attack, Hunt, Retreat,
Greedy and Camp in this initial version. The secondary states are devoted to
perform additional tasks within the main action flow (offensive and defensive
profiles, pickup items or weapons, among others). For instance, the bot can
decide attacking to the enemy, but if it has low health search for any health
pack at the same time.

The comparisons and decisions required to choose the state are quite com-
plex, because they consider several factors and situations that the human expert
knows. For instance, the comparison of weapons depends on several parameters
and weights, because of the existing balance between the power and usefulness
of all of them, which could mean that a weapon is the best in a specific situation
(different levels, hidden opponent, close/far enemy), but that weapon would be
the worst on a different position.

The AT engine (composed by a huge system of rules) at a time chooses the
primary state, but while the bot is performing the actions associated to it, the
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engine continues checking conditions (for instance the timing of every item),
receiving sensory information, checking the bot status, etc. This way, a secondary
state can be also set. However the engine can stop and change, at any time, both
the primary and/or the secondary state, depending of the conditions, received
information and status, giving an extra ‘flexibility’ level to the FSM.

As a general summary, the bot tends to be defensive if its health is lower
than the enemy’s, unless the latter has a critical health level, so the bot will
attack him to win a frag. In similar health conditions the attitude depends on
the weaponry (in comparison with the enemy’s weapons). If the bot’s health is
good, it is quite aggressive.

The value of the expert bot has been tested in an experiment, consisting in
four different 1 vs 1 - Death Match combats against a standard UT2K4 game bot,
held in two different maps. The bots have been fighting, respecting championship
rules, during 15 minutes. The results of every match as well as the average are
shown in Table[

Table 1. Scores (number of frags) of the test fights between E-Bot and a Standard
UT2K4 bot in the hardest difficulty (StdBot). Match 1 (m1) and 2 (m2) in every map.

Map E-Bot StdBot
DM-Ironic 13 (ml), 26 (m2) 6 (ml), 8 (m2)
DM-Idoma 23 (m1), 25 (m2) 15 (m1), 8 (m2)
Average 21.75 9.25

As it can be seen E-Bot outperforms the standard game bot, even in the
hardest difficulty level, which is a challenge for a medium level player.

4 Evolution of the UT2K4 Expert Bot

Following previous approaches [8I315], the expert bot will be improved. To this
end, the set of parameters which act as thresholds, weights, priorities and con-
ditions, and which finally determine the final behaviour of the bot, will be opti-
mized by means of a Genetic Algorithm (GA)[4], which can evolve their values
searching for the best combination, i.e. the set of values which performs better
in a battle. Following this idea, we have designed and tested a GA-based bot,
named GE—BO!E, following different approaches.

4.1 First Approach: chromosome-143

In this approach the chromosome scheme has 143 genes, grouped in six different
blocks: having 2 genes for health levels, 3 genes for distance, 5 genes to value the
risk, 1 gene for time to see an enemy, 6 genes for items priority, and 126 genes
related to weapons selection.

3 The source code of both E-Bot and GE-Bot can be downloaded from
https://github.com/franaisa/EvolutionaryBot|under a GPL license.
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The fitness function has been defined as:

3+ (damP/damR) if (frags + 1) = deads
Fe (2 frags — deads) + (damP/damR) if frags > deads (1)
) (3/2) + (damP/damR) if frags = deads
frags/deads if frags < deads

Where frags is the number of enemy kills the bot has obtained, deads is the
number of own deads, damP is the total damage produced by the bot, and
damR is the total damage it has received. This function rewards the individuals
with a positive balance (more frags than deads) and a high number of frags. In
addition individuals which perform a high amount of damage to the enemies are
also rewarded, even if they have not got a good balance.

The evaluation of an individual consists in setting the values of the chromo-
some in the E-Bot Al engine, then a 1 vs 1 combat is launched between this and
a standard E-Bot. After the time limit defined, the fitness value is computed
for the individual. There is a high pseudo-stochastic component in these battles,
since the results do not depend completely on our bot, but also on the enemy’s
actions which we cannot control. Thus, the fitness function is considered as noisy
[11], since an individual could be valued as good in one combat, but yield very
bad results in another match.

An elitist selection mechanism has been applied, remaining the best four indi-
viduals in the next population. The rest of population is considered as parents.

The uniform crossover operator (every gene of a descendent has the same
probability of belonging to each one of the parents) has been applied in two
steps: on the one hand it is used with the elite, yielding two descendents by
combining the best individual with a random one in the best four chosen. On
the other hand, the rest of the offspring is formed as a random combination of
the rest of parents (in pairs). Finally, four random individuals are included in the
population (they substitute the four worse) to add diversity.

The mutation mechanism is performed on every descendent. It changes with
a probability 1/chromosome size the value of every gen in a £10% rate.

Some experiments were conducted to test this approach for the GE-Bot. All
of them (and next) have been conducted in the map DM-Ironic, since it is one
of the most used maps in competitions, and has a design that offers almost any
possible fighting situation: different levels, hidden zones, viewpoints and camping
areas.

Firstly, the algorithm is tested considering as parameter setting: 30 genera-
tions, 30 individuals, and 15 minutes every evaluation, taking 10 running days.

Figure [Tl shows the best and average fitness evolution in the run, considering
one (left side) and three (right side) evaluations per individual.

As it can be seen on the left subfigure, the evolution is highly noisy, as com-
mented when the fitness function was defined, due to the pseudo-stochasticity of
combats. In order to deal with this effect, some evaluations (different matches)
per individual have been performed, as it is recommended [I2]. This second ex-
periment has taken one month of computational time and is plotted on the right
side subfigure. An improvement in the fitness evolution tendency is shown.
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Fig. 1. Fitness evolution of the best, elite and average in 30 generations for the first
approach of GE-Bot (143 genes chromosome, 1 evaluation (left) and 3 evaluations
(right) per individual).

The best fitness graphs proved the noise nature of the function, so even consid-
ering three matches for every evaluation, and having followed an elitist scheme,
the best values oscillate without a clear tendency. The average results show a
lightly improvement tendency, which let us think in a good (but slow) evolution
and improvement of individuals (parameters) or results. The reasons of these
light tendencies and high oscillations might be two: first reason could be the
chromosome length, since the evolution of 143 genes might take much more
generations; the second reason could be the inclusion of diversity enhancement
mechanisms, such as the uniform crossover or the random generation of some
individuals (which substitute the four worst).

4.2 Second Approach: chromosome-26

Since the chromosome length implies a high number of generations (and so, huge
computational time) are required for a good optimization process, the chromo-
some scheme was redefined considering 26 genes, by reducing the weapons block
to just 9 genes (one associated to the priority of each weapon). This representa-
tion is less precise from the expert’s Al performance point of view, but with a
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more approachable size. The rest of the algorithm terms and operators remained
the same. Results are presented in Figure Pl (two runs of ten), with a different
parameter setup, due to the expected computational time reduction, so, in order
to perform a more complete evolution, the number of generations has been in-
creased to 50, being the population again 30 individuals and considering this time
5 minutes for evaluating every individual. The running time of this experiment
has been 5 days per run.
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Fig. 2. Fitness evolution of the best, elite and average in 50 generations for the second
approach of GE-Bot (26 genes chromosome). Two different runs.

As it is shown, there are again fluctuations and light improving tendencies.
The oscillations seem to be lighter, but what is happening is that the resulting
values have been reduced (due to the shorter battle time). The average fitness
tendency on the other hand is less clear this time. Thus, the reduction in the
evaluation time just has meant an improvement in the computational cost.

4.3 Third Approach: Fitness and Operators Redefinition

According to the second conclusion reached by the end of Subsection Bl the
evolution in this problem is quite difficult, so it would be recommended the
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implementation of mechanisms to increase the exploitation of solutions rather
than increasing diversity (as it has been done).

Firstly, the fitness function has been redefined in order to take into account
more elements of the individual/bot performance during a match, i.e. the most
important items for survive and the best weapons for our bot (the most useful
according to the defined FSM). They have been included in some terms of the
evaluation function as follows:

(frags — deads) + s2 + 5} + ti_{_llo

+tdL_{_110 + log((damP — damR) + 1) if frags > deads
f= (2)

oo sz o 4

+tdL_{_110 + log((damP — damR) + 1) if frags < deads
Where frags, deads, damP and damR are the same as in Equation[Il s1 and
52 refers respectively to the number of Shields and Super Shields the bot has
picked up. tS is the time the bot has used the Shock Rifle, and ¢L refers to the
time it has used the Lightning Gun. The term frags is the most important and
the rest are weighted to have lower relevance.

The GA scheme has been changed to a stationary approach in order to in-
crease the selective pressure and get a higher convergence factor. Thus the best
15 individuals are considered for the new population. They also are one of the
parents for generating the offspring and the other parents are selected using a
probability roulette wheel from the rest of population. The crossover and muta-
tion operators remains the same as in the other approaches.

FigureBlshows the results of two runs (of ten), considering the same parameter
configuration as in the last approach.

As it can be seen, the results are better than in previous approaches, showing
a ‘softer’ fitness tendency (with less fluctuations), and a clear improving, with
the generations, in the average results.

5 Expert Bot versus Evolved Bots

A last test has been performed confronting the best individuals of the GE-Bot
approaches against E-Bot, since they have been optimized for beating it (they
have fought against it during the evolution). The average results of four matches
are shown in Table 2l They have been held in the same two maps and for 15
minutes each.

The results show that the GE-Bots with a higher number of generations and
smaller chromosome perform better than the one with the higher length. This
result should be expected, since the chromosome length is a key factor in the
evolution, because it defines the search space size, so long individuals need a
higher number of generations. In this case, we just have performed (due to the
huge computational time required) 30 generations for 143 genes which are clearly
insufficient, according to the experiments results. The evolved for longer GE-
Bots (50 generations) yield a very good performance beating E-Bot in average.
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Fig. 3. Fitness evolution of the best, and average in 50 generations for the third ap-
proach of GE-Bot (26 genes chromosome, complex fitness function and stationary
scheme).

Table 2. Average scores (number of frags) of the test fights between the three ap-
proaches of GE-Bot versus E-Bot. 4 battles in two maps: DM-Ironic and DM-Idoma.

Score
GE-Bot: 143chr-30gen-3evals 4.2 13.2 E-Bot
GE-Bot: 26¢chr-50gen-1evals 15.3 7.8 E-Bot

GE-Bot: 26¢chr-50gen-1evals-complexfitness 17.5 6.2 E-Bot

Finally, the last approach considering the complex fitness function performs
better than the rest, because it is less influenced by the noisy nature of the
evaluation function due to the consideration of additional (and important)factors
to compute it.

6 Conclusions and Future Work

In this work, a human-like bot for the First Person Shooter game Unreal Tour-
nament™ 2004 (UT2K4) has been described. It models the expert knowledge
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of a Spanish high-level player so, its has been named Expert-Bot (E-Bot). Its
behaviour is based in a shape of finite state machine with two levels of states
(primary and secondary), each of them with an associated priority for performing
actions. This work flow is flexible, so the Al engine can alter/change it depending
on the conditions or status (bot’s or enemy’s). Moreover, the bot uses a database
for ‘learning’ the maps, as a human player would do the first time it navigates
around a new arena. E-bot has been designed for fighting in 1 vs 1 death match
mode, considering the official competition rules.

Then a Genetic Algorithm (GA) has been implemented to improve the pa-
rameters (thresholds, weights, priorities) that the bot’s Al considers in its be-
havioural rule system. The evolved expert bot, named GE-Bot has been tested
considering different approaches (chromosome length, number of generations,
scheme, fitness function, crossover), along with an evaluation consisting in re-
peated battles which are rated once they have finished, for assigning an average
fitness value to every individual in the population. The aim is to deal with the
noisy nature of the fitness function, since it depends on the results of the bat-
tles, which can vary for the same individual from time to time, regarding to the
situation in the map or the enemy’s actions which we cannot predict.

Some experiments have been conducted, firstly proving that FE-Bot outper-
forms the standard UT2K4 bots, even in the hardest difficulty level. The result-
to-effort ratio for GE-Bot is not very good, since the extremely high computation
time that every experiment takes (from 5 to 30 days), has limited the number
of generations and runs performed, so the improvement is not substantial. How-
ever, the results yielded show that the best approaches are those which consider
a smaller chromosome size, and a higher number of generations, rather than
wasting time in repeated evaluations. Moreover, the approach following a sta-
tionary scheme and a fitness function that considers items and weapons use gets
the best performance and results. Both approaches have improved the results of
E-Bot and have beaten it in a set of test battles. However, the evolution is not
as good as desired and some repetitions of the evaluations could definitely help
to improve this tendencies. We will consider this as the first future work line.

According to the expert’s opinion, the bots do not perform as well as expected
(from the behavioural point of view). This way, another line of research will be
the improvement of F-Bot in its main flaw, the movement. Thus, the possibility
of jumping must be included in its actions, in order to get a harder opponent
(more difficult to kill). Once the behaviour has been improved, several research
could be conducted with regard to the evolutionary approaches, since the results
in this paper can be considered as preliminary. A better noisy fitness dealing
could be an interesting issue to address.

Finally, another option to study could be the op