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Abstract. The lifting wavelet transform (LWT) is a recent approach to wavelet 
transform, and singular value decomposition (SVD) is a valuable transform 
technique for robust digital watermarking. While LWT allows generating an  
infinite number of discrete biorthogonal wavelets starting from an initial one, 
singular values (SV) allow us to make changes in an image without affecting 
the image quality much. This paper presents an approach which tries to amal-
gamate the features of these two transforms to achieve a hybrid and robust digi-
tal image watermarking techniques. Certain performance metrics are used to 
test the robustness of the method against common image processing attacks. 
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1   Introduction 

Biometrics based authentication systems are becoming increasingly popular as they 
offer enhanced security and user convenience as compared to traditional token-based 
(I.D. card) and knowledge based (password) systems. Biometric watermarking refers 
to embedding a biometric trait like fingerprint [1], face [2], handwritten signature [3] 
etc. for the purpose of content authentication.  

In [7], LSB and DWT have been synergistically combined to embed face template 
in fingerprint image while the same idea was applied in [4] for embedding offline 
handwritten signature in a host image. Vatsa et al. [6] developed a v- SVM based 
biometric watermarking method which was further revised by Cheng et al. [5] for 
biometric watermarking based on offline handwritten signature. 

In the current literature, neither lifting wavelet transform nor singular value de-
composition have been used for biometric watermarking. In this paper, a novel LWT- 
SVD based biometric watermarking technique for offline handwritten signatures has 
been proposed. The lifting scheme has been used firstly for separating the significant 
pixels of the host image from the insignificant ones and then the Singular Value De-
composition (SVD) is applied. The watermark is embedded at this level using a gain 
factor (k). The watermarked image is then obtained by taking inverse LWT transform. 
The proposed algorithm gives excellent results for various attacks on the host image. 
The rest of the paper is organized as follows: Section 2 explains the theoretical 
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framework of SVD and LWT while Section 3 presents the proposed method. In  
Section 4, the significance measures PSNR and SSIM have been described to assess 
the quality of the watermarked image and the recovered signature image. The efficien-
cy of the proposed method along with the results have been presented in Section 5. 
Section 6 concludes the work. 

2   Theoretical Framework of Lifting Wavelet Transform (LWT) 
and Singular Value Transform (SVD)  

2.1   Lifting Wavelet Transform (LWT) 

The basic idea of wavelet transforms is to exploit the correlation structure present in 
most real life signals to build a sparse approximation. The lifting scheme is a tech-
nique for both designing fast wavelets and performing the discrete wavelet transform. 
The technique was introduced by Swelden [8, 9]. While the discrete wavelet trans-
form applies several filters separately to the same signal, the signal is divided like 
zipper for the lifting scheme. Then a series of convolution- accumulate operations 
across the divided signals is applied. Generally speaking, lifting scheme includes 
three steps that are splitting, prediction and update. The basic idea of lifting is de-
scribed here briefly: 

Split: The original signal is divided into two disjoint subsets. Although any disjoint 
split is possible, we will split the original data set  into    2  , the even 
indexed points and [n] 2  1  , the odd indexed points. 

Predict: The wavelet coefficients d[n] is generated as error in predicting xo[n] from 
 [n] using prediction operator P. 

 
      o   e  .                                   (1) 
 
Update:   and  are combined to obtain scaling coefficients c[n] that represent 
a coarse approximation to the original signal  . This is accomplished by applying an 
update operator U to the wavelet coefficients and adding the result to e : 

   e   .                                              (2) 
 

These three steps form a lifting stage. Iteration of the lifting stage on the output c[n] 
creates the complete set of DWT scaling and wavelet coefficients c j [n] and d j [n]. At  
each scale we weight the c j [n] and d j [n] with ke and ko respectively as shown in  
Fig. 1. This normalizes the energy of the underlying scaling and wavelet functions. 

The lifting steps are easily inverted even if P and U are nonlinear, space-varying, or 
noninvertible. Rearranging equation (1) and (2) we have  

 
       .                             (3)      .                              (4) 

 
The original signal will be perfectly reconstructed as long as the same P and U are 
chosen for the forward and the inverse transforms.  
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Fig. 1. Lifting Steps 

2.2   Singular Value Decomposition (SVD) 

The Singular Value Transform (SVD) was explored a few years ago for watermarking 
purposes. In recent years, SVD has been used in watermarking as a different trans-
form as it is one of the most powerful tools of linear algebra with several applications 
in watermarking[10,11,12,13,14]. Singular values are the luminance values of SVD 
image layer, changing these values slightly do not affect the image quality much .The 
purpose of singular value decomposition is to reduce a dataset containing a large 
number of values to a dataset containing significantly fewer values, but which still 
contains a large fraction of the variability present in the original data.   SVD analysis 
results in a more compact representation of these correlations, especially with multi-
variate datasets and can provide insight into spatial and temporal variations exhibited 
in the fields of data being analyzed. SVD is optimal matrix decomposition in a least 
square sense packing the maximum signal energy into a few coefficients as possible 
[11]. The SVD theorem decomposes a digital image A of size M × N, as: 

     ∑.                 (5) 
 

   T ∑.                                                   (6) 
 

Since U and V are orthogonal, this becomes the singular value decomposition  
  

   ∑ T.                                                        (7) 

The full singular value decomposition of an (M × N) matrix involves an (M × M) U, 
an (M × N) ∑, and an (N × N) V. In other words, U and V are both square and ∑ is the 
same size as A.  The singular value decomposition is the appropriate tool for analyz-
ing a mapping from one vector space into another vector space, possibly with a differ-
ent dimension. 

3   Proposed Technique 

An image comprises of certain high frequency components (edges) known as the 
approximation coefficients and low frequency components (smooth areas) known as  
the detailed coefficients. Most of the previous SVD and DWT-based watermarking  
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techniques treat different parts of the image in the same way. Therefore, the edges and 
the smooth areas of the image, related to different sub-bands, accept similar effects. 
The HVS is less sensitive to noise on edges, hence making similar changes to percep-
tually significant and insignificant areas of the image consequently lead to noticeable 
alternation in smooth areas, thereby causing a significant degradation to the image 
quality.  

The paper proposes a novel biometric watermarking technique with imperceptible 
image quality alteration. Additional advantages of the presented technique could be 
highlighted as high capacity and robustness of the method against different types of 
common attacks. Since LWT provides high redundancy in transform domain, the high 
capacity of the transformed host could utilize as the beneficial point to scatter the 
watermark data. 

3.1   Biometric Feature Processing 

To employ offline handwritten signature as watermark, the preprocessing algorithm as 
depicted in Fig 3 is applied on the signature image.  Initially, the signature image is 
binarized and resized to an image of 300 pixels x 200 pixels. This is to isolate single 
stroke or a cluster of separated strokes of a handwritten signature from the back-
ground. Median filter is applied to this binary image to eliminate noise which might 
be present in the form of speckles, smears, scratches etc. that might thwart feature 
extraction. Hough transform (HT) is then applied to the signature image for projection 
into feature space. The step is followed by applying Principle Components Analysis 
(PCA) is to compress the feature space generated by HT without losing the significant 
attributes [15]. Lastly, PCA feature is statistically discritized into binary representa-
tion signature code as proposed in [16]. 

3.2   Watermark Embedding 

The following steps explain the embedding phase. 

(i) Let Ioriginal be the host image of size N × N. 
(ii) The Lifting Wavelet Transform Ilwt(i,j)  of the host image is calculated according 

to the selected decomposition level (L), sub-bands of size       can be 

achieved. 
(iii) Let Soriginal be the original offline handwritten signature of m x n where m<=n. 

Resize the signature image such that size (Ioriginal) = size (Soriginal)  
(iv)  Calculate Slwt(i,j),the corresponding wavelet transform of the signature image.  
(v) At L= 2, apply SVD to the horizontal detailed sub-band of the cover image as 

well as to the signature image.  
(vi) The singular values of the cover image sub-band are modified with the singular 

values of the signature sub-band obtaining modified LWT coefficient at the 2nd 
level.  

  2,    2,   

       2, .           (8) 
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Embedding at this level is described as 
 

   2,    2,   2,  .                      (9) 

 

(vii) Using the inverse wavelet transformation the final watermarked image Iwm will 
be constructed.   

3.3   Watermark Extraction 

Since the SVs of the original images are needed in the extraction phase, the proposed 
technique is non-blind as it uses the singular vector matrices of the original signature 
image as the keys. The extraction phase is explained by the following steps  

(i) Compute the Lifting Wavelet Transform of the watermarked image according to 
the selected decomposition level (L) 

(ii) Locate the embedded coefficients and extract the singular values of the corres-
ponding sub-band of the signature image through Equation 10. 

   ∑   /              (10) 

(iii) Combine the SVs thus obtained to recover the 2nd level approximation coeffi-
cient. 

(iv) Perform 2 –level Inverse LWT to obtain the watermark. 

3.4   Template Matching Based Authentication  

This extracted watermark is fed as an input to the biometric feature processing algo-
rithm for template matching. The database contains 250 offline handwritten signatures 
collected from 50 users at different times to capture the intrapersonal differences in 
signing by a single user. Initially all the steps mentioned in biometric feature 
processing are applied to the entire signature database to generate a feature vector 
comprising the feature vectors corresponding to each signature image. These steps are 
applied to the recovered signature image to extract its features. The Euclidean dis-
tance between the feature vector of the recovered signature and the feature vectors of 
all the signatures in the database is calculated according to the formula as given by 
Equation 11.  

 

   , , .     (11) 
 

The database image with the least Euclidean distance with the extracted image is the 
corresponding template and hence the verification of the signature of the user.  

4   Significance Measures 

4.1   Peak Signal to Noise Ratio PSNR) 

The  proposed algorithm has been tested  for various signal processing attacks like 
median filtering, salt and pepper noise addition, histogram equalization, Gaussian 
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noise and JPEG compression. The experimental results have been gauged using Mean 
Square Error (MSE) and Peak Signal to Noise Ratio (PSNR) which have been given 
below. 

 

  ∑ ∑ , ,  .      (12) 

 
where I and W are the original and the watermarked images having a resolution of 
m*n. 

  10 log .             (13) 

4.2   Structural Similarity Index Measure (SSIM) 

SSIM [14] is a new paradigm metric designed to improve on traditional methods like 
peak signal-to-noise ratio (PSNR) and mean squared error (MSE) for quality assess-
ment. It is based on the hypothesis that the HVS is highly adapted for extracting struc-
tural information. The measure of structural similarity compares local patterns of 
pixel intensities that have been normalized for luminance and contrast.  In practice, a 
single overall index is sufficient enough to evaluate the overall image quality; hence a 
mean SSIM (MSSIM) index is used as the quality measurement metric. 

 

  , .          (14) 

 

  , ∑ , .         (15) 

5   Results and Discussions 

The proposed algorithm based on Lifting wavelet transform and singular value de-
composition generates results that are superior to the existing methods for offline 
handwritten signature watermarking [4,5]. The algorithm embeds the signature as a 
whole thus providing better authentication than the previous methods. Table 1 shows 
the PSNR between the original and the recovered watermark varies between 53 dB to 
60 dB for the signatures of 30 users when the watermarked image is not subjected to 
any attack, while in Table 2, it can be seen that the PSNR value of recovered water-
marks (for 3 users) after the watermarked image is subjected to various attacks varies 
between 50 dB to 55 dB.  

Even after subjecting the watermarked image to a JPEG compression ratio ranging 
between 90% to 30%, the watermark recovery is pretty good.  For various noise ratios 
between 10% to 20%, the PSNR varies between 30 dB to 40 dB as shown in Table 2. 
For implementing the algorithm, MATLAB 7 on a 1.73 GHz Pentium M Processor 
with minimum 256 MB of RAM has been used. The results have been verified on 
various standard images like Lena, Peppers, Baboon and Elaine. Figures 2 and 3 show 
the effect of varying the embedding factor while Figures 4 and 7 show the effect of 
varying the decomposition level on various host images. 
 



 A Novel Biometric Watermaking Approach Using LWT- SVD 129 

Table 1. Extracted Watermarks 

 
PSNR=54 

MSSIM=0.99886

 
PSNR=53 

MSSIM=0.99826 

 

 
PSNR=54 

MSSIM=0.99909 
 

 

 
PSNR=54 

MSSIM=0.9983

 
PSNR=55 

MSSIM=0.99995

 

 
PSNR=54 

MSSIM=0.99922

 

 
PSNR=54 

MSSIM=0.99863

 

 
PSNR=53 

MSSIM=0.99929

 

 
PSNR=53 

MSSIM=0.99853

 
PSNR=55 

MSSIM=0.99949

 

 
PSNR=59 

MSSIM=0.99949

 
PSNR=54 

MSSIM=0.99969

 

 
PSNR=54 

MSSIM=0.9994

 

 
PSNR=54 

MSSIM=0.99914

 
PSNR=57 

MSSIM=0.99998

 

Table 2. Extracted Watermarks after Simulation of Various Attacks 
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Fig. 2. PSNR versus embedding factor for various cover images 
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Fig. 3. MSSIM versus embedding factor for various cover images 

 
Fig. 4. PSNR versus decomposition level for various cover images 

 
Fig. 5. MSSIM versus decomposition level for various cover images 

Furthermore, the performance of the proposed algorithm has been tested for vari-
ous values of embedding factor. The effect of embedding factor on PSNR and 
MSSIM has been presented in Tables 3 and 4 while Tables 5 and 6 show the effect of 
varying the decomposition level. 

6   Conclusion 

In this paper, a novel biometric watermarking scheme using LWT-SVD for offline 
handwritten signature has been proposed. The proposed technique shows superior 
results as compared to the existing technique. The work can be further expanded by 
incorporating the latest signature verification techniques so as to reduce the FAR or 
FRR of the proposed system and also amalgamate the two areas of biometric water-
marking and signature authentication/ verification. 

0.975
0.98

0.985
0.99

0.995
1

1.005

0.1 0.2 0.3 0.4 0.5

K

M
SS

IM LENA

CAMERAMAN

MANDRIL

PEPPERS

0.98

0.985

0.99

0.995

1

1.005

LENA CAMERAMAN MANDRIL PEPPERS

PS
N

R 
dB

Level 1

Level 2

0.98
0.985

0.99
0.995

1
1.005

LENA CAMERAMAN MANDRIL PEPPERS

M
SS

IM

Level 1

Level 2



 A Novel Biometric Watermaking Approach Using LWT- SVD 131 

References 

1. Jain, A.K., Hong, L., Bolle, R.: On-line Fingerprint Verification. IEEE Trans. PAMI 19(4), 
302–314 (1997) 

2. Pang, Y.H., Teoh, A.B.J., David Ngo, C.L.: Enhanced Pseudo Zernike Moments in Face 
Recognition. IEICE Electron, Express 2(3), 70–75 (2005) 

3. Low, C.Y., Teoh, A.B.-J., Tea, C.: A Preliminary Study on Biometric Watermarking for 
Offline Handwritten Signature. In: Proc. Of 2007 IEEE International Conference on Tele-
communications, Malaysia (2007) 

4. Low, C.Y., Teoh, A.B.-J., Tea, C.: Fusion of LSB and LWT Biometric Watermarking for 
Offline Handwritten Signature. In: 2008 Congress on Image and signal processing,  
pp. 702–708. IEEE Computer Society, Los Alamitos (2008) 

5. Low, C.Y., Teoh, A.B.-J., Tea, C.: Support Vector Machines (SVM) based Biometric Wa-
termarking for Offline Handwritten Signature. In: 2008 Congress on Image and signal 
processing, pp. 702–708. IEEE Computer Society, Los Alamitos (2008) 

6. Vasta, M., Singh, R., Noore, A.: Improving Biometric recognition accuracy and robustness 
using DWT and SVM watermarking. IEICE Electronics Express 2(12), 362–367 (2005) 

7. Vasta, M., Singh, R., Noore, A.: Robust Biometric Image Watermarking for Fingerprint 
and Face Template Protection. IEICE Tran. On Fundamentals of Electronics (2006) 

8. Sweldens, W.: The lifting scheme: A New Philosophy in Biorthogonal Wavelet Construc-
tions. In: Proceedings of SPIE, pp. 68-79 (1995) 

9. Daubechies, I., Sweldens, W.: Factoring Wavelet Transforms into Lifting Schemes. The 
Journal of Fourier Analysis and Applications 4, 247–269 (1998) 

10. Chandra, D.V.S.: Digital Image Watermarking using Singular Value Decomposition. In: 
Proc. of 45th IEEE Midwest Symposium on circuits and Systems, Tulsa, OK, pp. 264–267 
(2002) 

11. Liu, R., Tan, T.: A SVD based Watermarking scheme for protecting rightful ownership. 
IEEE Transactions on Multimedia 4(1), 121–128 (2002) 

12. Zhou, B., Chen, J.: A Geometric Distortion Resilient Image Watermarking Algorithm 
Based on SVD. Chinese Journal of Image and Graphics 9, 506–512 (2004) 

13. Bao, P., Ma, X.: Image Adaptive Watermarking Using Wavelet Domain Singular Value 
Decomposition. IEEE Transactions on Circuits and Systems for Video Technology 15(1), 
96–102 (2005) 

14. Wang, Z., Bovik, A.C., Sheikh, H.R., Simoncelli, E.P.: Image Quality Assessment: From 
Error Visibility to Structural Similarity. IEEE Transactions On Image Processing 13(4) 
(2004) 

15. Ooi, S. Y., Teoh, A.B.J., David Ngo, C.L.: Offline Signature Verification through Discrete 
Radon Transform and Principal Component Analysis. In: Proc. of International Conference 
on Computer and Communication Engineering (ICCCE), (2006).  

16. Tuyls, P., Akkermans, A.H.M., Kevenaar, T.A.M.: Face Recognition with Renewable and 
Privacy Preserving Binary Templates. In: 4th IEEE Workshop on Automatic Identification 
Advanced Technologies (2005) 


	A Novel Biometric Watermaking Approach Using LWT- SVD
	Introduction
	Theoretical Framework of Lifting Wavelet Transform (LWT) and Singular Value Transform (SVD)
	Lifting Wavelet Transform (LWT)
	Singular Value Decomposition (SVD)

	Proposed Technique
	Biometric Feature Processing
	Watermark Embedding
	Watermark Extraction
	Template Matching Based Authentication

	Significance Measures
	Peak Signal to Noise Ratio PSNR)
	Structural Similarity Index Measure (SSIM)

	Results and Discussions
	Conclusion
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile (Color Management Off)
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 290
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 600
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.01667
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 290
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 600
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.03333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 800
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 2400
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /ESP <>
    /FRA <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /DEU <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.276 841.890]
>> setpagedevice




