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Introduction. We recapitulate inference from membership and equivalence que-
ries, positive and negative samples. Regular languages cannot be learned from
one of those information sources only [1,2,3]. Combinations of two sources al-
lowing regular (polynomial) inference are MQs and EQs [4], MQs and positive
data [5,6], positive and negative data [7,8]. We sketch a meta-algorithm fully
presented in [9] that generalizes over as many combinations of those sources as
possible. This includes a survey of pairings for which there are no well-studied
algorithms.

Definition 1. T = 〈S, E, obs〉 (S, E ⊆ Σ∗) is an observation table if S is prefix-
closed and obs(s, e) = 1 if se ∈ L, 0 if se /∈ L, ∗ if unknown. Let row(s) :=
{(e, obs(s, e))|e ∈ E}. S is partitioned into red and blue. We call r, s ∈ S
obviously different (OD; r <> s) iff ∃e ∈ E with obs(r, e) �= obs(s, e) and
obs(r, e), obs(s, e) ∈ {0, 1}. T is closed iff ¬∃s ∈ blue : ∀r ∈ red : r <> s.

Let r ≡L s iff re ∈ L ⇔ se ∈ L for all r, s, e ∈ Σ∗. Let IL := |{[s0]L|s0 ∈ Σ∗}|.
Due to the Myhill-Nerode theorem there is a unique total state-minimal DFA
AL with IL states and each state recognizing a different equivalence class.

From a closed and consistent (see [4]) table T = 〈S, E, obs〉 with ε ∈ E we
derive a DFA AT = 〈Σ, QT , qT , FT , δT 〉 with QT = row(red), qT = row(ε),
FT = {row(s)|s ∈ red, obs(s, ε) = 1}, and δT = {(row(s), a) �→ q|¬(q <>
row(sa)), s ∈ red, a ∈ Σ, sa ∈ S}. AT has at most IL states (see [4], Th. 1).

Definition 2. A finite X ⊆ L is representative for L with min. DFA A = 〈Σ, Q,
q0, F, δ〉 iff [∀(q1, a) �→ q2 ∈ δ : a ∈ Σ ⇒ ∃w ∈ X : ∃u, v ∈ Σ∗ : w = uav ∧ (q0, u)
�→ q1 ∈ δ]∧[∀q ∈ F : ∃w ∈ X : (q0, w) �→ q ∈ δ]. A finite X ⊆ Σ∗\L is separative
iff ∀q1 �= q2 ∈ Q : ∃w ∈ X : ∃u, v ∈ Σ∗ : w = uv∧[δ(qL, u) = q1∨δ(qL, u) = q2]∧
∃(q1, v) �→ qa, (q2, v) �→ qb ∈ δ : [(qa ∈ F ∧qb ∈ (Q\F ))∨(qb ∈ F ∧qa ∈ (Q\F ))].

All learning algorithms we consider can be seen to start out with a provisional
set of classes and converge to the partition by ≡L by splitting or merging them
according to obtained information. In a table S contains strings whose rows are
candidates for states in the minimal DFA, and E experiments (‘contexts’) proving
that two strings belong to distinct classes and represent different states.

Algorithm GENMODEL. The input is a tuple IP = 〈EQ ,MQ , X+, X−〉 with
Boolean values stating if EQs or MQs can be asked, a positive, and a negative
finite sample of L. After initializing T we enter a loop checking if T is closed and,
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if it is, if we can still find states that should be split up, until there is no more
information to process. The algorithm is composed of the following procedures:

INIT initializes the oracle (MQORACLE returns a blackbox for L if MQ = 1
and otherwise the prefix automaton for X+ as an imperfect oracle improved
during the process) and T . The set red contains candidates that were fixed to
represent a state in the output, and is initialized by ε (start state), and blue
contains candidates representing states to which there is a transition from one
of the states in red. white is the set of remaining candidates from which blue
is filled up. The set of (initial) candidates is given by POOL: If X+ �= ∅ POOL
returns Pref (X+), otherwise all strings up to length 2. If X− �= ∅ ∧ MQ = 1
POOL builds X+ from X−: Let n− := |Suff (X−)|. In a worst case, every suffix
in a separative X− distinguishes a different of the (I2

L − IL)/2 pairs of states.
From n− ≤ (I2

L − IL)/2 we compute an upper bound for IL and take all strings
up to that length as X+ as the longest shortest representative of a state in AL

is at most of length IL. Note that |X+| can be exponential with respect to |X−|.
We also have UPDATE which clears the elements that were moved to blue out
of white and fills in the cells of T if we have a perfect membership oracle which
for MQ = 1 is true at any time and for MQ = 0 when we have processed all
available information, provided that it was sufficient. For the cases with empty
samples but MQ = 1 we fill up white with all one-symbol extensions of blue.

CLOSURE is straightforward, it successively finds all elements preventing the
closedness of T , moves them to red, and calls UPDATE to fill up the table.

NEXTDIST calls FINDNEXT to look for a candidate to be fixed as another
state of the output. Then T is modified by MAKEOD such that CLOSURE will
move this string to red. If no such candidate is found FINDNEXT returns 〈ε, ε〉
(this can be seen as a test for the termination criterion). In that case white is
emptied if we use queries only, for all other cases the remaining candidates are
moved to blue in order not to lose the information contained in the pool.

If MQ = 1 FINDNEXT exploits a counterexample. EQ = 1: c is given
by the oracle. Else if X+ �= ∅ the learner tries to build c from Text = 〈S ∪
white, E ∪ Suff (X+), obs〉. This succeeds if X+ is representative (see [9]). At
least one prefix of c must be a distinct state of the output, but as it may not
be in blue MINIMIZE is called to replace the blue prefix of c until it finds
s′e′ with s′ ∈ blue and e′ distinguishes s′ from all red elements: FINDNEXT
returns 〈s′e′〉. If MQ = 0 we continue merging states unless there is information
preventing it. After the call of MERGENEXT either all blue strings correspond
to states resulting from a merge or there is s which is a non-mergeable state.
FINDNEXT returns 〈s, ε〉 as s should be a distinct state of the solution. In cases
not covered by these distinctions we cannot reliably find another candidate to
move and return 〈ε, ε〉.
MAKEOD is called if FINDNEXT returns 〈s, e〉 with s �= ε, i.e., s is to be
moved to red by CLOSURE. If MQ = 1 there is a single r ∈ red not OD from
s (red elements are pairwise OD, and rows of S are complete), and e separates
s from r, so add e to E. If MQ = 0 row(s) consists of ‘∗’s – we have to make s
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OD from all r ∈ red “by hand”: Find c ∈ X− preventing the merge of qr and qs

via PREVENTMERGE and a suffix er of c leading from qr or qs to a final state
(X− �= ∅ as FINDNEXT returns 〈ε, ε〉 for MQ = 0 otherwise). As c should not
be accepted er separates s from r. Add er to E and fill the two cells of T with
differing values – note that they do not have to be correct as they are used only
once by CLOSURE, and T will be updated completely just before termination.

GENMODEL is intended as a generalization of algorithms for settings where
polynomial one-shot inference is possible, which also implies that it is determinis-
tic and does not guess/backtrack. However, note that it behaves in an “intuitively
appropriate” way when (polynomial) inference is not possible as well.

We call an information source non-void for queries if MQ = 1/EQ = 1, for a
positive sample if it is representative, and for a negative sample if it is separative.

Theorem 1. a. Let L be the regular target language. GENMODEL terminates
for any input after at most 2IL−1 main loop executions and returns a DFA.

b. For any input including at least two non-void information sources except for
〈1, 0, X+, X−〉 with X+ or X− void the output is a minimal DFA for L.

See [9] for the proof. Note that Theorem 1b can also be seen from the proofs of
the algorithms in [4,6,8]. We comment on the following three cases because to
our knowledge there are no such well-studied algorithms for these settings.

〈0, 1, ∅, X−〉: As 〈0, 1, X+, ∅〉. We build a positive sample from X− (see above)
which however may be exponential in size with respect to |X−| so that the
number of MQs is not polynomial with respect to the size of the given data.

〈1, 0, X+, ∅〉: Suppose we wanted to handle this case analogously: We would
have to test state mergeability in O via EQs. For X+ representative a positive
counterexample reveals the existence of states that should be merged, a negative
one of states that should not have been. When we query the result of a merge
(even without repairing non-determinism by further merges) and get a positive
counterexample we could either repeat the EQ and wait for a negative one but the
number of positive ones may be infinite. Or we could query the next merge but
when (if) we eventually get a negative one we do not know which of the previous
merges was illegitimate. So this strategy is no less complex than ignoring all
counterexamples and asking an EQ for the result of every possible set of merges,
of which there are exponentially many. Therefore, since we cannot proceed as in
the cases where inference is possible with a polynomial number of steps or queries
this case is eclipsed from GENMODEL by the corresponding case distinctions.

〈1, 0, ∅, X−〉: If X− is separative negative counterexamples do not carry new
information, and the number of negative counterexamples may be infinite. The
set of positive counterexamples so far may not be representative so that we
cannot reliably detect an illegitimate merge as there may be final states that
are not even represented in the current O such that a compatibility check is too
weak. If we make the merge we might have to undo it because of another positive
counterexample, a situation we want to avoid. Hence we eclipse this case as well.

Note: For input with more than two non-empty sources the algorithm chooses
one of the two-source options with priority MQs&EQs > MQ&X+ > X+&X−.



Generalizing over Several Learning Settings 291

Conclusion. We have aimed to design GENMODEL as modular as possible as
an inventory of the essential procedures in existing and conceivable polynomial
one-shot regular inference algorithms of the considered kind. This may help to
give clearer explanations for the interchangeability of information sources. Prac-
tically, an extended GENMODEL (see below) could be used as a template from
which individual algorithms for hitherto unstudied scenarios can be instantiated.
We have chosen observation tables as an abstract and flexible means to perform
and document the process, from which various descriptions can be derived.

GENMODEL offers itself to be extended in several directions. We could try
to generalize over the type of objects, such as trees (see [10,6,11,12]), graphs,
matrices, or infinite strings. Then there are other kinds of information sources
which might be integratable, such as correction queries [13], active exploration
[14], or distinguishing functions [15]. The third direction concerns an extension
of the learned language class beyond regularity (for example by using strategies
as in [16] for even linear languages, or [17] for languages recognized by DFA
with infinite transition graphs) and even beyond context-freeness [16,18]. The
development of GENMODEL may be of use in the concretization of an even
more general model of learning in the sense of polynomial one-shot inference as
considered here – also see the very interesting current work of Clark [19].
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Zilles, S. (eds.) ALT 2009. LNCS, vol. 5809, pp. 278–292. Springer, Heidelberg
(2009)

19. Clark, A.: Three learnable models for the description of language. In: Dediu, A.-
H., Fernau, H., Mart́ın-Vide, C. (eds.) LATA 2010. LNCS, vol. 6031, pp. 16–31.
Springer, Heidelberg (2010)


	Generalizing over Several Learning Settings
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated v2 300% \050ECI\051)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 149
  /ColorImageMinResolutionPolicy /Warning
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 149
  /GrayImageMinResolutionPolicy /Warning
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 599
  /MonoImageMinResolutionPolicy /Warning
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
    /DEU <>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.276 841.890]
>> setpagedevice




