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Abstract. We present in this paper an automatic summarization method of Ara-
bic documents. This method is based on a numerical approach which uses a 
semi-supervised learning technique. The proposed method consists of two 
phases. The first one is the learning phase and the second is the use phase. The 
learning phase is based on the Support Vector Machine (SVM) algorithm. In 
order to evaluate our method, we conducted a comparative study that involves 
the results generated by our system AIS (Arabic Intelligent Summarizer) with 
that realized by a human expert. The obtained results are very encouraging and 
we plan to extend our evaluation on a larger corpus to ensure the performance 
of our system. 
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1   Introduction 

In the current context, we have to deal with a huge mass of electronic textual docu-
ments available through the net. We need tools offering fast visualization of the 
documents (so that the user can evaluate its relevance). Automatic summarization 
provides a solution which makes it possible to extract interesting information for an 
advantageous reuse. Indeed, the summary helps the reader to decide whether the 
original document contains the required information or not. Moreover, in some cases 
the reader does not need to read the totality of the original document, simply because 
the required information is in the summary [1]. 

Automatic summarization approaches are inspired by various orientations. Some 
approaches rely on symbolic techniques (based on the analysis of the discourse and its 
discursive structure), some others are based on numerical treatments (based on statis-
tical, or even on learning) [2]. 

In addition, the majority of automatic summarization systems mainly treat docu-
ments in Indo-European languages such as English and French. To our knowledge, 
there are only few implementations of these methods on Arabic language, such as 
LAKHAS [3] and Al Lakas El’eli [4]. Thus, there is an increasing need to develop 
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automatic summarization systems dedicated to Arabic to handle the increasing 
amount of electronic documents written in Arabic [1]. 

Thus, the achievements in the field of automatic summarization are generally set 
out again according to the used approaches. Mainly three approaches are distin-
guished: numerical, symbolic and hybrid. Our contribution is in the context of nu-
merical approach and we propose a system for the automatic summarization of Arabic 
documents which is based on a purely Machine learning (ML) technique: ML tech-
nique within the framework classification, is shown to be a promising way to combine 
automatically sentence features [5]. In our method, a classifier is trained to distinguish 
between two classes of sentences: summary and non-summary ones. 

Statistical features that we consider in this work are partly from the state-of-art, 
and they include cue-sentencess and positional indicators [6], title-keyword similarity 
[7], and other features. 

This paper is structured around four sections: Section 1 presents most related 
works to ours. Section 2 exposes the proposed method and the summarizing workflow 
and Section 3 describes the implementation of our approach and the primary results. 
Section 4 presents the conclusion and the future works. 

2   Related Work 

Three approaches have been proposed to the summarizing of documents: Linguistic 
approaches based on a formal representation of knowledge contained in documents or 
on a reformulation technique. Indeed, these approaches are usually a formal represen-
tation of knowledge contained in documents or on reformulation techniques. Numeri-
cal approaches are based on calculating a score associated for each sentence to  
estimate its importance relative to other sentences of the document. This score is 
calculated by using various statistical methods, probabilistic and learning. Hybrid 
approaches combine the previous approaches to improve the quality of the summary. 

In this paper, we explore a numerical approach and present some examples. Nu-
merical approaches are essentially based on calculating a score associated for each 
sentence to estimate its importance. The final summary will only keep the sentences 
that have the highest scores. 

There are two main techniques: statistical and learning techniques. Recently, vari-
ous authors have explored Machine Learning techniques to summarize documents [7]. 
This is thanks to the best performance of these techniques. 

The learning techniques are classified into three classes. The first class is the su-
pervised learning, this class is based on two phases: the learning phase that use a 
training corpus of a very large size and the validation phase that use another corpus 
called validation corpus [8]. The second class is the semi-supervised learning that has 
only a learning phase; this phase requires a training corpus of small size [9] [10]. The 
third one is the non-supervised learning, which does not require either a training cor-
pus or a validation corpus. 

The numerical approaches can be applied to all types of corpus and can operate in a 
big number. The most important systems which are based on the numerical approaches 
are: LAKHAS system [3] which summarizes Arabic documents in XML format. 
CBSEAS “Clustering-Based Sentence Extractor for Automatic Summarization” system 
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[11] treats the case of multi-document summary. Its principle is that the more redundant 
information are the more important they will be. 

Our method treats the numerical approaches that have proven their effectiveness in 
other languages. More precisely, we use Machine learning techniques based on semi-
supervised learning; this choice is justified by the fact that it allows involving a system 
with only a small number of labeled sentences and a large number of not labeled ones. 

3   Proposed Method 

In this section, we present an overview of the proposed method and the summarizing 
workflows for the HTML documents. 

3.1   An Overview of Our Method 

We propose a new method for the automatic summarization of the newspaper articles 
in Arabic language. It is based on a Machine learning technique. More precisely it is 
based on the semi-supervised learning technique which is composed of two phases: 
the first one is the learning phase which allows the system to learn how to extract 
summary sentences. We use Support Vector Machines algorithm (SVM) for this 
phase. The second phase is the use phase which allows users to summarize a new 
document. Fig. 1 presents the details of the proposed method and the two phases.  

3.2   Summarization Workflow 

3.2.1   The Learning Phase 
In this phase, the system designer should provide the training corpus and the extrac-
tion features to perform the learning. 

The training corpus is composed of the source documents and their summaries. All 
the documents are initially pretreated to prepare their segmentation in titles, sections, 
paragraphs and sentences. This segmentation is based on the criteria of punctuation 
and HTML tags. After the segmentation step, each sentence of the segmented docu-
ment will be notified according to some features. This step leads to the construction of 
a set of the vectors V corresponding to the values of the specific features to the sen-
tence. These vectors are called extraction vectors or score vectors. Each vector is 
associated with a Boolean criterion which indicates the sentence class: summary or 
non-summary. 

The extraction vector has the following structure: V1 (S1, S2, S3… Sn), where Si is 
the score of the criterion i and n is the number of the criteria. 

In the learning phase, extraction vectors are combined to associate a score with 
each feature and generate rules. 

3.2.2   The Use Phase 
In this phase, the user provides a HTML document as an input for the system. This 
document is segmented and notified in order to generate a set of extraction vectors. 
The system uses the generated rules to classify each sentence. 
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Fig. 1. The principle of the proposed method 

4   The AIS System 

The method that we proposed for automatic summarization of Arabic documents has 
been implemented through the AIS (Arabic Intelligent Summarizer) system. In this 
section, we present the implementation details and the preliminary results. 

4.1   Implementation Details 

Our corpus is composed of 500 Arabic documents collected from the web. These 
documents represent newspaper articles selected according to various orientations 
(sport, economy, education, etc.). The newspaper articles are of HTML type with a 
UTF-8 coding. The summaries of these documents are produced by three human ex-
perts. Then, we use the index of kappa1 to calculate the similarity between human 
experts and generate one summary for each document. 
                                                           
1 http://kappa.chez-alice.fr/ 
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After the segmentation step, we use 15 features to classify each sentence. Some of 
these features are detailed in Table 1. 

Table 1. Features details 

Features Details 
Position in the text Indicates the position of the sentence in the text. 
First sentence in the section Indicates if the sentence is the first in the section or not. 
First sentence in the paragraph Indicates if the sentence is the first in the paragraph or not. 
Range of the paragraph Indicates the range of paragraph that contains the sentence. 
Tf_idf score Calculates the tf*idf of the score. 
Tf score Calculates the Tf of the score. 
Title keywords Presents the number of title keywords in the sentence. 
Indicative expressions Presents the number of indicative expressions in the  

sentence. 

Finally, we obtain a file that contains the set of extraction vectors which constitute 
the input of the learning phase. In the learning phase, we use the SVM algorithm to 
learn how to classify the summary and non-summary sentences. At the end of the 
learning phase, a score is associated with each feature. Some features can have a score 
of zero. The SVM algorithm generates a rule by summing scores associated with each 
feature. 

The system uses the generated rules to calculate the score of each sentence. If the 
score is positive, the sentence will be considered as a summary sentence, otherwise 
the sentence is considered as a non-summary sentence. Finally, the system combines 
summary sentences to obtain the summary. 

4.2   Preliminary Results 

We used 60 documents of our corpus to experiment our system (i.e. 50 documents for 
the learning phase and 10 documents for the evaluation phase). The obtained summa-
ries are compared to the human summaries. The average measures for Precision, Re-
call and F-measure are respectively 0.992, 0.991and 0.991 (see Table 2). 

Table 2. Evaluation results 

 Precision Recall F-measure 
Weighted Avg 0.992 0.991 0.991 

5   Conclusion and Future Work 

In this paper, we have proposed a method for automatic summarization of Arabic 
documents. Our method is implemented by AIS system and is based on the Machine 
learning technique. Our work focuses on a particular type of documents (i.e., the 
newspaper articles in HTML format). We believe that the preliminary results are very 
encouraging. Indeed the F-measure is equal to 0.991. We note that we used a small 
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corpus for the evaluation but as perspectives, we plan to extend the evaluation on a 
larger corpus. 

We also intend to apply the proposed method for other types of documents such as 
XML and TXT. 
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