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Abstract. In vein pattern biometrics, analysis of the shape of the vein
pattern is the most critical task for person identification. One of best
representations of the shape of vein patterns is the skeleton of the pat-
tern. Many traditional skeletonization algorithms are based on binary
images. In this paper, we propose a novel technique that utilizes the wa-
tershed algorithm to extract the skeletons of vein patterns directly from
gray-scale images. This approach eliminates the segmentation stage, and
hence prevents any error occurring during this process from propagating
to the skeletonization stage. Experiments are carried out on a thermal
vein pattern images database. Results show that watershed algorithm
is capable of extracting the skeletons of the veins effectively, and also
avoids any artifacts introduced by the binarization stage.

1 Introduction

Biometrics is the science of identifying a person using physiological or behavioral
features [I]. During the past few decades, various biometric features have been
utilized for person verification. The most popular ones are fingerprints, faces, and
iris scans as well as handwritten signatures. Each of these biometrics have their
strengths and weaknesses [2]. Recently, vein pattern biometrics has attracted
increasing interest from both research communities [B4I516] and industries [7g].

A Vein Pattern is the vast network of blood vessels underneath a person’s skin.
Anatomically, aside from surgical intervention, the shape of vascular patterns in
the same part of the body is distinct from each other [9], and it is very stable
over a long period of time, as a person’s pattern of blood vessels is ”hardwired”
into the body at birth, and remains relatively unaffected by aging, except for
predictable growth, as with other biometrics such as fingerprints. In addition,
as the blood vessels are hidden underneath the skin and are mostly invisible to
the human eye, vein patterns are much harder for intruders to copy compared
to other biometric features. The properties of uniqueness, stability and strong
immunity to forgery of the vein pattern make it a potentially good biometric
which offers greater secure and reliable features for person identity verification.
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A typical vein pattern biometric system consists of five individual processing
stages [3]: Image Acquisition, Image Enhancement, Vein Pattern Segmentation,
Skeletonization and Matching, as shown in Figure [Il During the image acquisi-
tion stage, vein patterns are usually captured using infrared imaging technolo-
gies. One of the practices is using a far-infrared camera to acquire the thermal
vein pattern images of the back of the hand [3l4]. After obtaining the images,
the system will segment the vein pattern from the background and binarize it for
skeletonization to obtain the shape of the pattern. Finally, the system recognizes
the vein patterns by various pattern recognition methods such as calculating the
line segment Hausdorff distances [10].

However, during the vein pattern segmentation and binarization stage of the
system shown in Figure [Il errors will be unavoidably introduced. These errors
will then be propagated to the skeletonization stage, and subsequently degrade
the performance of all the subsequent processing stages. This paper examines
the problems brought up to the skeletonization stage by the segmentation and
binarization process. A new solution is then proposed, whereby skeletonization is
performed directly on the gray-scale vein pattern images using the morphological
watershed algorithm, which produces better skeletonization results.

This research focuses on thermal vein pattern images processing, and the pa-
per is organized in the following manner: Section investigates in detail the
problems introduced by the vein pattern segmentation process. A new system
model for vein pattern biometrics is then proposed. Following this, in Section [3
an in-depth discussion of our approach using the watershed algorithm to extract
the skeletons of the vein patterns from gray-scale images is presented. Experi-
ments, and their results are reported in this section with some discussion of the
problems encountered using the current watershed approach. Finally, Section [
gives concluding remarks of this paper.

Image
Enhancement ||Finery | Vein Pattern L. i s s
Acquisition [Image] & W Segmentation [P Skeletonization Decision
ROISelection
Data Collection Vein Pattern Extraction

Fig. 1. A typical vein pattern verification system model

2 Traditional Binary-Based Skeletonization

2.1 Vein Pattern Segmentation

A typical thermal vein pattern image of the back of the hand is usually of low
contrast and noise-prone. In addition, due to heat radiation, the tissue nearby
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Fig.2. Thermal vein pattern images of the back of the hands in a normal office
environment

has similar temperature to the blood vessels, which results in veins being sur-
rounded by many faint white region in the images (see Figure [2) . All these make
separation of vein patterns from the background a difficult task. A popular class
of segmentation methods: intensity thresholding, is usually utilized to tackle the
problem, where each image pixel is classified either greater or less than or equal
to a given intensity. However, due to the fact that the gray-level intensity values
of the vein vary at different locations in the image, global threholding techniques
do not provide satisfactory results. A more suitable method is via local adaptive
thresholding, whereby the algorithm chooses different threhold values for every
pixel in the image based on the analysis of its surrounding neighbors. Figure B3]
shows the binary image of the vein pattern after applying our local thresholding
algorithm, where for every pixel in the image, its threshold value is set as the
mean value of its 13 x 13 neighborhood.

Fig. 3. From left to right: Original ROI of the vein pattern image; After image en-
hancement; After applying local thresholding; After skeletonization

It can been seen from Figure [ that the shape of the vein pattern is well
preserved in the binrary image after threholding. However, there are also many
misclassifications of background points being the points of the vein, especially for
those points near the edge of the veins. This is because the intensity thresholding
method suffers from errors due to image inhomogeneities and the partial volume
effect [II]. Furthermore, the choice of threshold level is subjective, and might
not be optimum for all images.
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The misclassification errors introduced by this binarization process will be
propagated to the next stage, and may be magnified by the skeletonization al-
gorithm, as is elaborated in the following section.

2.2 Binary Skeletonization

There are many skeletonization algorithms that can be used to thin the objects
in the binary image. In this paper, we apply two different skeletonization algo-
rithms [I2[13] to the binary vein pattern images, and they give us very similar
results. As can be seen in Figure [ the misclassification points in the segmen-
tation stage have led to numerous spur branches as well as isolated segments of
skeletons. These false branches will in turn degrade the accuracy of the match-
ing process. Whilst some pruning processes can be taken to remove some of the
small artifacts, they generally have some negative impacts to the true skeletons.

2.3 Proposed New System Model

As discussed above, the binarization process of the thermal vein pattern image
will result in many misclassification points, these points will create false branches
during skeletonization, and hence degrade the performance of the subsequent
processing stages. One solution is to improve the segmentation algorithms to
reduce misclassification as much as possible. However, in this paper, we propose
another solution to tackle this problem: performing skeletonization directly on
the gray-scale vein pattern images. This will eliminate the segmentation stage,
and hence will prevent any potential errors occurring at this stage being propa-
gated to the subsequent stages. As a result, the system model in Figure [ will
now have 4 stages as shown in Figure [l

Image
Im'ag'e' Enhancement || Finer Gray—S‘fcalfa
Acquisition [ fmages | & fmag Skel tion
ROI Selection

Data Collection

Fig. 4. The proposed new system model eliminates the segmentation stage

3 Gray-Scale Skeletonization Using the Watershed
Algorithm

3.1 The Watershed Principle

The watershed concept is based on visualizing an image in three dimensions: two
spatial coordinates versus gray levels, through which any grayscale image can be
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considered as a topographical surface. The basic idea of the watershed algorithm
is a simulation of the immersion process [I4J15]: At first, holes are pierced in all
regional minima of the relief (connected plateaus of constant altitude from which
it is impossible to reach a location of lower altitude without having to climb).
Then by sinking the whole surface slowly into a lake, water springs through
the holes and progressively immerses the adjacent walls. To prevent streams of
water coming from different holds to intermingle, a dam is set up at the meeting
locations. The flooding will eventually reach a stage when only the tops of the
dams are visible above the waterline. These dam boundaries correspond to the
divide lines of the watersheds.

Mathematically, this immersion process can be established by the definition
of geodesic distance and geodesic influence zone [I6]. The geodesic distance
da(z,y) between two pixels = and y in A is the infimum length of the paths
P which join x and y and are totally included in A (Equation [). Whilst the
geodesic Influence zone is defined as: Suppose A contains a set B consisting of
several connected components By, Ba,...,Bj. The geodesic influence zone iz 4 (B;)
of a connected component B; of B in A is the locus of the points of A whose
geodesic distance of B; is smaller than their geodesic distance to any other
component of B. This is expressed in Equation

da(z,y) = inf{l(P)} (1)
izaA(Bs) = {p € A,Vj € [1,k]/{i},da(p, Bi)} (2)

Hence, the watersheds can be obtained by finding the set of catchment basins
of the gray-scale image I through the following recursion (Equations [ and H):

Xhmin = Thpin(ry, where Ty (I) = {p € Dy, I(p) < h} (3)

min mnw(

Vh € [hmzn7 hmaz — 1]7 Xh+1 = Minp41 UizTh,_H(I) (Xh) (4)

3.2 Application of Watersheds Algorithm to Vein Pattern
Skeletonization

Traditionally, the watershed algorithm is used to find the contour of the objects
for segmentation purposes. Therefore, it is usually applied to the gradient images.
However, when we apply the watershed algorithm directly to the gray-scale vein
pattern images, it is capable of locating the skeletons of the veins. The image in
the center of Figure [Blshows the result of applying the watershed algorithm to
the thermal vein pattern image. It is clearly visible that the result contains too
many false ridges, and this is commonly referred to as over-segmentation, which
is due to noise and other local irregularities.

Many researchers have addressed the over-segmentation problem for the wa-
tershed algorithm. Markers, for example, are widely used to reduce the effect of
over-segmentation. In our approach, we perform morphological opening followed
by closing operations to suppress the noise and local irregularities in the image
prior to the application of the watershed algorithm (Equation [Bl). The image
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Fig. 5. From left to right: Original ROI image; Skeletons obtained by direct application
of watershed algorithm, where over-segmentation is apparent; Skeletons obtained by
applying morphological opening and closing first followed by the watershed algorithm

in the right side of Figure [l shows the result with our approach, and it can be
easily seen that the single pixel wide skeleton of the vein pattern is successfully
extracted, and the number of false branches is significantly reduced.

I' = (I o B) e B; where B is the structuring element. (5)

3.3 Experiments

The watershed algorithm was investigated for gray-scale skeletonization on our
thermal hand vein patterns database. Most of the vein patterns can be success-
fully skeletonized without losing any connectivity (as shown in the examples in

=

o

Fig. 6. Top: Original ROI images; Buttom: Skeletons obtained by applying the pro-
posed watershed algorithm
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Figure [B). However, there are some situations where the watershed algorithm
fails to skeletonize the vein patterns properly:

1. when two veins are too close to each other, the watershed algorithm will
tend to merge them together to become one line, as can be seen in the left image
of Figure [d This requires a better preprocessing algorithm to make the two
veins more separable in gray level intensity.

2. when the vein patterns are not visually discernible, the watershed algorithm
will not be able to extract any meaningful skeletons for the vein patterns . This
can only be resolved by using alternative imaging devices, which is beyond the
scope of this paper.

3. when the veins have floating endpoints in the image, the watershed algo-
rithm is unable to extract this type of line, which is shown in the right image of
Figure [0

Fig. 7. Situations where watershed fails to extract the skeletons properly. Left: Two
veins are too close to each other; Right: A vein has a floating endpoint in the image.

4 Conclusions

This paper presents a novel technique for extracting the skeletons of thermal vein
patterns in vein pattern biometric systems. Traditional skeletonization algorithms
require the object of interest to be firstly segmented from the background and bi-
narized. However, the errors introduced during the binarization process will be
propagated to the skeletonization stage, which can be magnified and degrade the
system performance. The proposed watershed-based skeletonization algorithm
works directly on the gray-scale vein pattern images. It eliminates the segmenta-
tion and binarization process, and hence prevents any potential errors being prop-
agated to the subsequent stages. Experiments show that the watershed algorithm
is capable of extracting the skeletons of veins from the gray-scale images. However,
there are also a number of cases where the watershed algorithm fails to detect the
proper skeletons, which remains an issue to be tackled in the future.



942 L. Wang and G. Leedham
References
1. Ratha, N.K., Senior, A., Bolle, R.M.: ”Tutorial on Automated Biometrics” in Pro-

10.

11.

12.

13.

14.

15.

16.

ceedings of International Conference on Advances in Pattern Recognition. March,
Rio de Janeiro, Brazil (2001)

. Kim, J.O., Lee, W., Hwang, J., Baik, K.S., Chung, C.H.: Lip Print Recognition for

Security Systems by Multi-resolution Architecture. Future Generation Computer
Systems 20, 295-301 (2004)

. Wang, L., Leedham, C.G.: A Thermal Hand Vein Pattern Verification System.

In: proceedings of International Conference on Advances in Pattern Recognition.
August, Bath, UK (2005)

. Lin, C.-L, Fan, K.-C.: Biometric Verification Using Thermal Images Of Palm-dorsa

Vein Patterns. IEEE Trans. Circuits and Systems for Video Technology 14(2), 199
213 (2004)

. Cross, J.M., Smith, C.L.: Thermographic Imaging of Subcutaneous Vascular Net-

work Of The Back Of The Hand For Biometric Identification. In: Proceedings of
IEEE 29th International Carnahan Conference on Security Technology. October,
Sanderstead, Surrey, England (1995)

. Im, S.-K., Park, H.-M., Kim, S.-W.; Chung, C.-K., Choi, H.-S.: Improved Vein

Pattern Extracting Algorithm And Its Implementation. In: Digest of technical
papers of International Conference on Consumer Electronics (June 2000)

. MacGregor, P., Welford, R.: Veincheck: Imaging for security and personnel identi-

fication. Advanced Imaging 6(7), 52-56 (1991)

. Fujitsu-Laboratories-Ltd. Fujitsu Laboratories Develops Technology For World’s

First Contactless Palm Vein Pattern Biometric Authentication System. [Online].
Available: (March 2003) http://pr.fujitsu.com/en/news/2003/03/31.html

. Jain, A.; Bolle, R.M., Pankanti, S.: Biometrics: Personal Identification In Net-

worked Society. Kluwer Academic Publishers, Dordrecht (1999)

Gao, Y., Leung, M.K.H.: Line Segment Hausdorff Distance on Face Matching.
Pattern Recognition 35, 361-371 (2002)

Yim, P.J., Choyke, P.L., Summers, R.M.: Gray-scale skeletonization of small vessels
in magnetic resonance angiography. IEEE Trans. Medical Imaging 19(6), 576-586
(2000)

Suen, C.Y., Zhang, T.Y.: A Fast Parallel Algorithm for Thinning Digital Patterns.
Communications of the ACM 27 (3) (March 1984)

Guo, Z., Hall, R.W.: Fast fully parallel thinning algorithms. Comput. Vision Graph-
ics Image Process: Image Understanding 55, 317-328 (1992)

Bieniek, A., Moga, A.: An efficient watershed algorithm based on connected com-
ponents. Journal of Pattern Recognition 33(6), 907-916 (2000)

Gonzalez, R.C., Woods, R.E.: Digital Image Processing. Prentice-Hall, Inc, New
Jersey (2002)

Yu, H.G.: Morphologcail image segmentation for co-aligned multiple images using
watersheds transformation. Master’s thesis, The Florida State University (2004)


http://pr.fujitsu.com/en/news/2003/03/31.html

	A Watershed Algorithmic Approach for Gray-Scale Skeletonization in Thermal Vein Pattern Biometrics
	Introduction
	Traditional Binary-Based Skeletonization
	Vein Pattern Segmentation
	Binary Skeletonization
	Proposed New System Model

	Gray-Scale Skeletonization Using the Watershed Algorithm
	The Watershed Principle
	Application of Watersheds Algorithm to Vein Pattern Skeletonization
	Experiments

	Conclusions



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 600
  /ColorImageDepth 8
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.01667
  /EncodeColorImages true
  /ColorImageFilter /FlateEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 600
  /GrayImageDepth 8
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.01667
  /EncodeGrayImages true
  /GrayImageFilter /FlateEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 2.00000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /False

  /SyntheticBoldness 1.000000
  /Description <<
    /DEU ()
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [595.000 842.000]
>> setpagedevice




