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Preface

This book presents an introduction to morphogenetic computing. The idea of
morphogenetic computing came from conflicts and uncertainty situations that grow
up when we compare two incompatible universes as local universe and global
universe, neural universe and Boolean function universe, database sink and source
incompatibility fuzzy logic in the many values. For example, in recursion process
we cannot find convergence, in neural network we are in local minimum, and in
genetics we have a lot of instability and do not understand fully. So we must create
a fundamental new approach to computation by which we can move from uncer-
tainty, inconsistency and imprecision to a more logical stable and consistent situ-
ation. Fuzzy set, active sets and other many valued logic can be used to make
reasoning in conflicts and uncertain situations but cannot reach the fundamental aim
to have consistency and coherence. In morphogenetic computing, we have uncer-
tainty which is only one step of the knowledge and the other is to establish coherent
situation. Morphogenetic computing uses recursion with invariance just as in
physics where experiments generate conflicts, but after we discover new models for
nature where the experiments are not inconsistent but logically consistent. In this
book in different situations, we show how to enter conflicts and try to escape from
the conflicts and uncertain situations. We argue that global and local relation,
defects in crystal non Euclidean geometry database with source and sink, genetic
algorithm, neural network all become more stable and efficient when we use
morphogenetic computing, where the morphogenetic means globality or mor-
phology, field theory and other topics.

Brescia, Italy Germano Resconi
Shanghai, China Xiaolin Xu
Shanghai, China Guanglin Xu
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Chapter 1
Database and Graph Theory

This book presents an introduction to morphogenetic computing [27-35]. The idea
of morphogenetic computing came from conflicts and uncertainty situations that
grow up when we compare two incompatible universes as local universe and global
universe, neural universe and Boolean function universe, database sink and source
incompatibility fuzzy logic in the many values. This chapter presents the database
and graph theory. Figure 1.1 is the original E-R diagram of the database including
5 entities. R is the original relation matrix representing the relations between
entities [16].

Then, the relationship matrix between entities is given (as 1.1), where {Entityy,
Entity,, ..., Entity,} is set of Entities, ¢;; is the relationship between Entity; and
Entity;, if there is a bi-connect of between Entity; and Entityj, €;; is 1, otherwise, e ;
is 0.

R Entity, Entity, Entitys ... Entity,

Entity, el e €13 ... elp

Entity2 e (S%) €3 .. € (1 1)
Entity3 e3 €32 €33 ... €3,

Entity, e en2 en3 S enp

When we give a name to any entity we have the graph as illustrated in Fig. 1.2.
We can show the above database in matrix (oriented graph) as illustrated below
1.2.

R class classroom enrollment teacher student
class 0 1 1 1 0
classroom 1 0 0 0 0 (1.2)
enrollment 1 0 0 0 1 ’
teacher 1 0 0 0 0
student 0 0 1 0 0

© Springer International Publishing AG 2017 1
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1 Database and Graph Theory

Fig. 1.1 Database scheme

class

teacher

student

classroom

enrollment

Fig. 1.2 Database with names

That can be represented as 1.3.

Rv

Il
O = == O
SO OO -
—_ o O O =

ol eNe el

SO = OO

class

classroom

enrollment
teacher
student

(classroom, enrollment, teacher)

class
(class, student)
class
enrollment

(1.3)

The difference between 1.2 and 1.3 representation on the database in Fig. 1.2 is that
the first is a static representation, the second is a dynamical representation where we
can see the initial set of entities and the final set of entities. We remark that the
initial set includes individual names but the final vector includes sets of entities.
Any set of entities in output has one common entity with the initial entity set.
Because one entity as initial value is associated with other entities, the transfor-
mation is a many value process with intrinsic uncertainty in fact from one entity we
have different possible entities as final entities (bifurcation). In the database we
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introduce a selection rule for which in the given initial entity we select one and only
one final element. The selection rule is included in the query that we write in the
given initial entity.

1.1 Graph as a Space of Entity Attributes as Sink,
Source, and Transit

The database graph in Fig. 1.2 can be written as a superposition of source and sink
entities 1.4.

Rv = (Aey + Bey)v (1.4)

In an explicit way we have 1.5.

1 0 00O 01 1 10 class
01 0 0O 1 00 0 O classroom

Rv = 0 01 O Ojleg+|1 0 0 0 1]e enrollment
00 010 1 0 0 0O teacher
00 0 0 1 001 00 student
(class) (classroom, enrollment, teacher)
(classroom) (class)

= | (enroliment) | e; + (class, student) e

(teacher) (class)
(student) (enrollment)

- 1.5
(class)ey + (classroom, enrollment, teacher)e, (1.5)

(classroom)ey + (class)e;
= (enrollment)e; + (class, student)e,
(teacher)e, + (class)e,

(student)e, + (enrollment)e,

el e e e 0 class

e e 0 0 O classroom
=lea 0 e 0 e enrollment

e 0 0 ¢ O teacher

0 0 e 0 e student

where e; are all source elements and e, are all sink elements for any
relationship. We remark that any relationship can write as a superposition of two
states one is the source state and the other is the sink state. We see that the relation
R can also be written in this way 1.6.



e e €
e eg O
R = (%) 0 el
(%) 0 0
0 0 ()

Given a row of the previous matrix 1.7.

ey e e
0 0 O
R=]10 0 O
0 0 O
0 0 O

oo 8

o
S}

SO OO

€2

)

€l

S oo oo

1 Database and Graph Theory

(1.6)

(1.7)

This represents a divergent condition from class. In fact from the class as source
we go to teacher, classroom, enrollment that are sink. The graphical representation

is shown as Fig. 1.3.
Now the associate column is shown as 1.8

el
€2
R = (%]
€

0

eNeBelNeNel
eoNeNeNeNe}

eNeNeNoNel

S o oo o

(1.8)

In this case any column is a convergent set of entities that are convergent into the
entity class. In a graph way we have (Fig. 1.4)
From the entity “class” we have divergence and convergence, so “class” is the
neutral element that includes the two states in the same entity. The row and the
column has “class” as intersection so “class” belongs to the row and to the column

of the matrix.

Fig. 1.3 Class as a source

class

teacher

A

enrollment

classroom
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Fig. 1.4 Class as a sink
class teacher
\
enrollment
classroom
when e; = 1 and e, = —1 we have the incident matrix 1.9 that the element is

negative when one node is the departure, and the element is positive when one node
is the arrival.

-1 1 1 1 0
1 -1 0 0 0
R=1]1 0o -1 o0 1 (1.9)
1 0 0O -1 0
0 0 1 0 -1
Now we know that the Laplacian matrix of R is 1.10.
(-1 1 0]"[-1 1 0
1 -1 0 0 0 1 -1 O 0 0
L=RR=|1 0 -1 0 1 1 0 -1 0 1
1 O 0 -1 0 1 0 0o -1 o0
| 0 0 1 0 —1] 0 O 0 -1
(4 —2 -2 -2 0]
-2 2 1 1 0
=]-2 1 3 1 -2
-2 1 1 2 0
| 1 0o -2 o0 2 |
(1.10)

We know that Laplacian matrix gives a lot of information for the graph. Now we
can extend the definition of the Laplacian matrix as 1.11.
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(e e e e 01 [e; e er e 0O
e eg 0 0 O e e 0 0 O
L=R'R= e 0 e 0 e e 0 e 0 e
e 0 0 e O e 0 0 e O
0 0 e 0 e 0 0 e 0 e

ef + 3e§ ejey +exe; ejer+erer ejer+ere e%
eler +ere e% +e% e% e% 0
= | e1ex + erey e% Ze%Jre% e% eler +ere
erex +ese e e el +es 0
e 0 erex +exe 0 eite

(1.11)

Because we have the transport matrix we multiply the convergent part of one
entity with the convergent part of another entity and superpose the convergent parts.
For example the multiplication of the convergent part of the same entity “class” we
have 1.12.

class class class?
€] €1 6%
e (%) - e%
=1|73 (1.12)
() () e5
() e e%
0 0 0

And the superposition of the convergent parts is 1.13.
ei+es+e;+e;=e+3e (1.13)

Given two different entities we have the product of the convergent parts. The
first column are entities that converge to class from classroom, teacher and
enrollment, the second column are entities that converge on the classroom that is
only one from class. The products are common links that converge to class and that
converge to classroom.
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i class7 [ classroom
class el class e
classroom e classroom e,
enrollment e, enrollment 0
teacher e teacher 0
| student 0 | Lstudent 0 ]
- - (1.14)
(class)(classroom)
class ele

classroom  eze;
enrollment 0
teacher 0
| student 0

The column “class” has the set of ordered convergent elements.
class = (class, classroom, enrollment, teacher)
The column “classroom” has the set of ordered convergent elements.
classroom = (class, classroom)
The ordered intersection is
(class)(classroom) = ((class)(class) = ejea, (classroom)(classroom) = ezey )
The product of class and classroom give us all the common convergent links

including the state e; that is the neutral element and is divergent and convergent in
class and classroom. In a graph way we have Fig. 1.5.

Fig. 1.5 The product of class e
and classroom
class
Teacher
(1) ese2
€2
€2
e, enrollment
class-

room(2) e,eq




8 1 Database and Graph Theory

To explain in more specific way, we can decompose relation R as 1.15.

r R, class classroom enrollmnet teacher student]
class 0 1 1 1
classroom 0 0 0 0 0
enrollment 0 0 0 0 0
teacher 0 0 0 0 0
student 0 0 0 0 0o |
i R, class classroom enrollmnet teacher student]
class 0 0 0 0 0
classroom 1 0 0 0 0
* enrollment 0 0 0 0 0
teacher 0 0 0 0 0
student 0 0 0 0 0 |
i R; class classroom enrollmnet teacher student
class 0 0 0 0 0
classroom 0 0 0 0 0
+ (1.15)
enrollment 1 0 0 0 1
teacher 0 0 0 0 0
student 0 0 0 0 0 |
i R4 class classroom enrollmnet teacher student]
class 0 0 0 0 0
classroom 0 0 0 0 0
+ enrollment 0 0 0 0 0
teacher 1 0 0 0 0
student 0 0 0 0 0 |
i Rs class classroom enrollmnet teacher student
class 0 0 0 0 0
classroom 0 0 0 0 0
+ enrollment 0 0 0 0 0
teacher 0 0 0 0 0
student 1 0 1 0 0 |

For the five relations we can see that given an entity whose column values are all
zero, that means no any other entity in this relation has access to the entity but from
the entity in the row we have many other entities so the entity is a source but is not a
sink. Reversely we have the entity whose row values are all zero but the column
values are not. That means other entities in this relation have access to the entity but
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there is no relation from the entity so in this situation the entity is a sink. For
example in R, class is a source, and classroom, enrollment and teacher are sinks.
Because we have only one row different from zero values, we have only one source
at the time or e; and many different sinks or e,. Now we also introduce the transit.
We can see in this decomposition 1.16.

Ry class classroom enrollmnet teacher student
class 0 1 1 1 0
classroom 1 0 0 0 0 (1.16)
enrollment 0 0 0 0 0
teacher 0 0 0 0 0
student 0 0 0 0 0

In the previous decomposition we have that classroom has the column and row
with values not all zero. So classroom is a transit element that connects class with
itself. In fact from class as a source we go to classroom as a sink but classroom is also
a source that go to the class as a final sink. Now we have that Ry, can write as 1.17.

[ Rp class classroom enrollmnet teacher student]
class 0 1 1 1 0
classroom 1 0 0 0 0
enrollment 0 0 0 0 0 B
teacher 0 0 0 0 0
student 0 0 0 0 0 |
r R, class classroom enrollmnet teacher student’
class 0 1 1 1 0
classroom 0 0 0 0 0
(1.17)
enrollment 0 0 0 0 0
teacher 0 0 0 0 0
student 0 0 0 0 0
r R, class classroom enrollmnet teacher student
class 0 0 0 0 0
classroom

enrollment

oS O O O
oS O o O
S O O O
S O O O

1
0
teacher 0
0

student

For a path that moves from class to class room and from class room go to class
again, we have that the path is a superposition of four states. The first state is the
source for the first link, the second state is the sink for the first link, the third state is
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the source for the second link ad the fourth state is the sink for the second link. The
two links are superpose in the path. In fact we have

(class, classroom) — — (classroom, class)
e e
where
Link, = (class, classroom) = class — classroom

Link, = (classroom, class) = classroom — clas

So

(class, classroom)e; + (classroom, class)e, = (Link)e; + (Link, )e;
and

Link, = (class)e, + (classroom)e,

Linky = (classroom)e; + (class)e;

and
(class)eiey + (classroom)esze; + (classroom)eies + (class)ezer
That can be written in this simple way.
R\R, = (class)eyy + (classroom)es; + (classroom)ei, + (class)ex

where e is the first initial value for the first step, e,; is the final value for the first
step, e, is the initial value for the second step and e,, is the final value for the
second step. In conclusion, to represent two joined steps we use four dimensions
space, and for only one step we use two dimensions.

When we join source and sink with many different transit entities, we move from
two dimensions to four, eight and so on dimensions.

1.2 Derivative, Variation and Chain by the Reference
e; and e,

Given the chain

» [ »
> L Ll

f(x) f(x+h) f(x+2h) f(x+3h)
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Difference when e; = —1, e, =1

fx)er +f(x+h)es =f(x+h)es — f(x)er = Af = direction

(f(x)er +f(x+h)ex)er + (f(x+ h)er +f(x+2h)er)es

= (fx+h) —f(x))er + (f(x+2h) —f(x+h))es

= —(f(x+h) —f(x)) + (f(x+2h) — f(x+h)) = A*f = curvature

[(FOc+h) —F(x))er + (F(x +2h) = f(x+ h))es]er

+ [(F(x+2h) — f(x+h))er + (f(x+3h) — f(x+2h))es]es = A’f = Torsion

Variation of the product by the reference e; and e,

fx)g(x)er +f(x+h)glx+h)es
fgx)er +f(x+h)glx+h)es +f(x)g(x+h)(er +e2)
fx)(g(x)er +g(x +h)er) + g(x + ) (f(x)er +f(x + h)ea)

We remember that

fx)g(x+h)(er+e2) =0



Chapter 2
Crossover and Permutation

Given the permutation P

P_(l 2 3 ... on-1 n)
pPi P2 p3 ... DPn-1 DPn

Given the two crossovers

A B
DA CB
U=|C a a| —
b a
D b b
A B
CA DB
U=|C a a| —
a b
D b b

We have the elementary permutation

- (1)

For more simple crossover we can create the matrix M

= ()

© Springer International Publishing AG 2017
G. Resconi et al., Introduction to Morphogenetic Computing,

Studies in Computational Intelligence 703, DOI 10.1007/978-3-319-57615-2_2
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14 2 Crossover and Permutation
where we have two parents and two genes so we have the crossover ab, ba that are

the terms of the permutation. For three parents and three genes we have the six
possible crossovers from the three parents.

— abc, ach, bac, bca, cab, cba

<
Il
SIS N

a
b
c

o SR

The permutation matrix is

Ok =1
apg = Onp,, Where {5hp :k’p6 hk
Dk )

For example, given the permutation P,

1 2 3
P:
(P1:2 p2=1 P3=3)

the permutation matrix is A.

pP1 P2 D3 01 0

kk 0 1 O
A= — 11 0 0
k 1 0 O 0 0 1

k 0 0 1

With the permutation matrix we permute the columns by multiplication of R at
the right. We have

enn ep e3||0 1 0 en e €3
RA= |ey epn ez| |1 0O 0| =|exn ey exn
e31 exn ey |[|0 0 1 ey e  e33

So we get RA by right multiplication R with permutation matrix A. And we get
AR by left multiplication R with permutation matrix A.

0 1 O)fenr enn e e epn exn
AR= |1 0 O |exn en ex|=|en en ey
0 0 1] |es exn e e ey e

What is the difference between RA and AR?
In RA, Column 1 and Column 2 of R are swapped. Whereas in AR, Row 1 and
Row 2 are swapped.



2 Crossover and Permutation 15

We write the difference between RA and AR as 2.1.

0 1 Offer e e er e e |0 1 0
1 0 0 €21 €2 €23 — €21 €y €33 1 0 0
0 0 1 €31 €32 €33 €31 €32 €33 0 0 1
_621 € €33 €12 €11 €13
=|ess en exs|— |en en exn (2.1)
€31 €3 €33 €3 €31 €33

€21 —€12 € — €11 €23 —€]13

= | €31 —€1 €32 — € €33 €23

| e31 —e31 e —e3 0

2.1 Right Product RA

Given Relation R and permutation matrix A,we have RA (2.2).

01 1 10 01 0 0 O
1 0 0 0 O 1 0 0 0 O
R=1]1 0 0 0 1 A=10 0 1 0 O
1 0 0 0O 00 0 10
001 00 00 0 0 1
1 01 1 0
01 0 0 O
RA=10 1 0 0 1 (2.2)
01 0 0O
001 00
1 01 1 0 class class + enrollment + teacher
01 0 0 O classroom classroom
01 0 01 enrollment | — classroom + student
01 0 0O teacher classroom
0 01 0O student enrollment

And the relation in the database of Fig. 1.2 becomes that in Fig. 2.1.

In Fig. 2.1, the changes of relations just happen on the entities directly related to
entity class (represented as 1) and entity classroom (represented as 2), the reason for
this is because multiplying permutation matrix A at the right of R makes R the first
two columns swap. This leads to the disappearance of some relations and the
generation of some new relations. For example, originally there is the relation from
enrollment to class (from 3 to 1) and there is no relation from enrollment to
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class 1 teacher 4 student 5

[5)

classroom 2 <] enroliment 3

Fig. 2.1 The database scheme with right product

classroom (from 3 to 2), after permutation, the relation from enrollment to class
(from 3 to 1) disappears and relation from enrollment to classroom (from 3 to 2)
emerges. From the diagram, we also find the relations between 3 and 5, and those
between 4 and 5 don’t change on the grounds that relations between them have
nothing to do with entity 1 and entity 2. Further it is not difficult to find that the
number of relations doesn’t change. The reason for this is that we just swap the two
columns of Matrix R, not cause any change on the number of 1 in the relation RA.
So, from the permutation above, what conclusion can we make? In RA we have that
eij — eip, or in a graphic way we have Fig. 2.2.

Here
k1 2 3
pr 2 1 3

In the right product RA the initial entity is the same, but the final element
changes for the permutation.

We give the relations change of database.

We know that teacher has access to class but at one time he wants to have access
to another entity as classroom so we permutate class with classroom and we use the
permutation A in a way to change all the other entities to satisfy teacher without
changing the number of relations. So we have Fig. 2.3.

Fig. 2.2 Right product RA e

Ak pk

i,pk

Pk
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teacher class

permutation

———>  classroom

Fig. 2.3 Permutate class with classroom by right product

2.2 Left Product AR

The product AR changes the rows so we have 2.3

1 0 0 0O
01 1 10
AR=|1 0 0 0 1 (2.3)
1 0 0 0O
0 01 0O
1 0 0 0 O class class
01 1 10 classroom classroom + enrollment + teacher
1 0 0 0 1 enrollment | — class + student
1 0 0 0 O teacher class
001 0O student enrollment

So the relation in the database of Fig. 1.2 becomes that in Fig. 2.4.

In AR, the final entity is the same, but the initial element changes for the
permutation.

We give the relations change of database.

Initially we can find the relevant teacher via class. Now on some occasions that
we are urged to find the teacher, going to the relevant classroom is the only way. So
by permutation, we get the relation between classroom and teacher. So we have
Fig. 2.5.

N

class 1
teacher 4 student 5
/Ny
classroom 2 enroliment 3

Fig. 2.4 The database scheme with left product
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Fig. 2.5 Permutate class teacher class

with classroom by left product @
\L permutation

classroom

When we permute two entities by some way, all relations related to the two
entities change correspondingly, although some relations change may not be nec-
essary. So the graph will change.



Chapter 3
Similarity Between Graphs in Database
by Permutations

Given the relationship matrix R (3.1) that reflects the connection among entities.

R Entity, Entity, Entitys ... Entity,

Entityl el e e13 .. €lp

Entityz e [G%) €3 .. €2 (3 1)
El’llily3 €3 €32 €33 .. €3,

Entity, ep €nn en3 .. enp

Then permutation matrix A has been created. With two relations R and two
permutations, we can built the commutative diagram Fig. 3.1.

We remark that when RjA; = AR, the diagram becomes a commutative dia-
gram for which the relations of similarity between two databases is shown as 3.2.

Ry = AyRyA;! (3.2)
We remember that permutation matrix has always the inverse, so we have 3.3.

R, = A, 'RA, (3.3)

Example 3.1 We have the Relation Fig. 3.2.
We represent it with R,

1 0 0 0O 01 110
01 00 O 1 00 0O
R, = 0 01 0 Ojleg+{1 0 0 0 1fe
00 010 1 0 0 0O
0 0 0 01 0 01 0O
© Springer International Publishing AG 2017 19
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el

e2
-

Ay
* Rl 2 > { R1 Ay - Ay Rz} el
Ajel

Azez

Fig. 3.1 The change of sources and sinks to give equivalent graphs

Class, Class | Teacher , Teacher Student, Student
¥
v
Classroom , Classrocom [ Enrolment , Enrolment

m—i

Fig. 3.2 Sources and sinks in the database

After R, is given the permutation with permutation matrix A, and A,, we have R;.

0100 0 10000
10000 01000

Al=10 010 0|, A,=|0 0 1 0 0
00010 00001
00 00 1 0 0 0 1 0]
10000 [0 1 1 1 0]
01000 10000

Re=[]0 0 1 0 0lAes+ |1 0 0 0 1A,
00010 10000
00001 0 0 1 0 0]

The relation R, is represented with Fig. 3.3.
Particular case for the diagram.
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Classroom , Class  [* Teacher, Teacher Enrolment, student
¥
v
Classroom ,Class i Student , Enrolment

—

Fig. 3.3 Permutation of the sources states e; and permutation of the sinks states e, in the database

1 00 0O 01 1 10
01 00O 1 0 000
R, = 0 01 0 O|Ae;+ |1 0 0 0 1[Ae
000 1O 1 0 000
1) A=A —A 0 0 0 01 001 00
1 00 00 01 1 10
01 00O 1 00 00O
=A]l (0 0 1 0 Ofleg+(1 0 0 0 1fe
0 00 1O 1 00 00O
0 0 0 01 001 00
For
010 0O
1 00 0O
A=1(0 0 1 0 O
000 T1O0
00 0 01

(2) A1#4,, Ri=R
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For
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Chapter 4
Morphogenetic and Morpheme Network
to Structured Worlds

4.1 Morpheme Networks

In Fig. 4.1 we show the chaotic structure of the language before the building of the
network of morphology.

Morphemes are the smallest meaningful parts of words and therefore represent a
natural unit to study the evolution of words. Using a network approach from
bioinformatics, we examine the historical dynamics of morphemes, the fixation of
new morphemes and the emergence of words containing existing morphemes. We
find that these processes are driven mainly by the number of different direct
neighbors of a morpheme in words (connectivity, an equivalent to family size or
type frequency) and not its frequency of usage (equivalent to token frequency).

As morphemes are also relevant for the mental representation of words, this
result might enable to establish a link between an individual’s perception of lan-
guage and historical language change. Methods developed for the study of bio-
logical evolution might be useful for the analysis of language change.

The factors driving language change can be classified as internal and external
ones. The internal factors are the physical conditions, like the physiology of the
human speech organs and psychological factors like perception, processing and
learning of language. On the other hand, the external factors are for example
expressive use, prestige and stigma, education and language contact. In the case of
words it was shown quantitatively, that the parts which compose a word. So called
morphemes are the minimal meaning bearing units of words. As one word can be
built by multiple morphemes, one morpheme can be found in different words. The
study of how these morphemes can be combined to yield words is the central
question of morphology. In this descriptive structural linguistic view, morphemes
are seen as discrete units which are combined to build words. There has connec-
tionists approaches assume that ‘the same general principles that govern phono-
logical and semantic processing of whole words and sentences govern the
processing of the subparts of words commonly called morphemes of such residual

© Springer International Publishing AG 2017 23
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Fig. 4.1 Chaotic unstructured language

effects by exploiting an analogy of words and proteins which enabled the appli-
cation of an approach from bioinformatics. Usually, arguments in favor of one or
the other model are drawn from psycholinguistic studies of well selected small sets
of words.

For analyzing the morphemes and their relationships, we used an approach
which was successfully applied to the analysis of proteins and domains, the
structural, functional and evolutionary units of proteins. Like a morpheme in words,
one domain can be found in different proteins and one protein can harbor many
domains. We used this analogy to build morpheme networks. Here, morphemes are
nodes which are connected if they can be found next to each other in at least one
word, see Fig. 4.2.

Figure 4.3 illustrates the lexical network. Perceived pictures (e.g., of a dog)
directly activate concept nodes and perceived words (e.g., DOG) directly activate
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wordlist network

chain | link

un |chainl ed

inter| link ing
link ed

Fig. 4.2 Morpheme network

Picture stimulus

W D G oo

Word stimulus Lemmas
Morphemes
Phonemes

Motor programs

Vocal response

Fig. 4.3 Hierarchical structure for the word DOG

lemma, morpheme, and phoneme nodes, after which other nodes become activated
through spreading activation. The dashed lines indicate grapheme-to-phoneme
correspondences. Thus, our focus is on formatives, which ‘recur in the morpho-
logical analysis of word-forms’ independent of whether or not they are also mor-
phemes. This fits well to the algorithm implemented by Morfessor 1.0, which
searches for the optimal concise set of units Connectivity, Not Frequency,
Determines the Fate of a Morpheme every word in the data can be formed by
concatenation of some unit A network was built for each word list with morphemes
as nodes and an undirected edge between morphemes if they occur side by side in a
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word. Thus, when analyzing the word ‘beautifulness’, no edge between ‘beauti’ and
‘ness’ would be drawn, as these are no direct neighbors. Analyses with directed
edges (according to reading order) gave similar results.

4.2 Loop and General Similarity and Conflicts
and Inconsistency in Graph Space

The system axiom in A. Wayne Wymore is that any system element or entity has
one name. In cloud computing with uncertainty, any entity can have two or more
conflicting names. At any entity we associate n ports in input and n ports in output
with different names. All ports in a network is represented by a matrix in which for
any row we have all names in input and output for one entity and for any column
we have the names in the same states for all the entities. Morphogenetic of a
network by cross over transformations of a prototype permutation (crossover)
invariants (virus as a chemical network).

4.3 Vector Representation of Graph Inconsistency

Morphic has two basic elements, one is relationship, and the other is node.
Additionally, there is no order in the Morphic.

Figure 4.4 is a relation graph including 5 nodes. Here nodes do not represent
particular meanings, but one node is different from the others. The accessible
relation in abstract way is R;.

Fig. 4.4 Relation graph with
5 nodes

(e
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from/to a b ¢ d e
a 01110
R, = b 1 00 00O
c 1 0 0 0 1
d 1 0 00 O
e 001 00

We remark that the matrix represents nodes that receive edges or send edges. So
we begin with one node in the column that is the initial node of the edge and
another node in the row receiving the edge. In fact we have the edges e;; or a; — a;,
where a; is the starting node and g; is the final node. We also remark that any node
has two different functions, one is the final node and the other is the start node. So
in accord with the table, any node can be represented in Fig. 4.5.

So the original graph of the data base in Fig. 4.4 can be drawn in this abstract
way (Fig. 4.6).

R a b ¢

. . a 0 1 1

Example 4.1 Given the relation R = b 1.0 0
c 1 00

Figure 4.7 shows the entities that send information to other entities.

Figure 4.8 shows the entities that receive information from other entities.

So Relation R is split into two parts (Fig. 4.9).

Now we present the commutative graphs that include the relations R and its
transformed relation by permutation or transformation of “out” and “in” of the
entities in Fig. 4.10.

Where
010 010
A=10 0 1|, B=|1 0 O
1 00 0 0 1
Columns con- Rows divergent
— »{ vergent elements elements —

Fig. 4.5 Convergent and divergent part of the same entity
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v |

Fig. 4.6 Coherent graph that represents the rows and columns in the R

Fig. 4.7 Relation that | \1,
represents to send information
to other entities a < b
N
\ 4
C
Fig. 4.8 Relation that \1,
represents to receive
information from other a |<€ b
entities
N
\ 4
C

The previous diagram can be redrawn in Fig. 4.11.

And the relation T is given by the inconsistent graph Fig. 4.12.

Where the same entity has two different names. Now we change the relationship
in a way to transform an inconsistent or conflicting graph into a consistent graph. So
we have the relation T.

Qo TN
—_—_ o %
S O = Q
SO =0
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Cc C
a |€ b
A
\ 4
Cc
Fig. 4.9 Separation of a graph into sources and sinks
| \4 | \Z
a < b a |€ b
N N
\ 4 > \ 4
Cc R Cc
B
A
| \Z | \Z
b = c b |« a
N I\
v ) v
a T C

Fig. 4.10 Transformation of the sources entities and sinks entities
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A S R

*— T —> TA-BR=0

Fig. 4.11 Commutative graph for the transformation of the sources and the transformation of the
sinks

Fig. 4.12 Incoherent graph l \l/
where the sources and the

sinks for the same entity has b b c a
two different names. The

entity has two different names
one in conflict with the other.
The links are always the same

but the entities are incoherent
C a

Fig. 4.13 Change of the

links to generate a coherent

graph for which any entity a a |e b b

source and sink has the same

name .
Cc Cc |«

When we order the rows and columns we have the consistent relation T (4.1).

(4.1)

Qo ST~
—_—_o &
S O = Q
SO =00
o S QN
_o = &
S = O Q
S = OO0
o QN
oS~ O Q
—_ o = &
S = O 0

Figure 4.13 shows the coherent graph after the two different permutations.

From conflicting situation we can return to coherent state by a compensation
process that changes the position of the relationship. Table 4.1 is a coherent table
with a new morpho. So the change of the rows and columns is compensatory
operation that changes an incoherent or conflicting situation with the same graph or
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| 4 | 4

(on
N
o
(on
N
o

Fig. 4.14 Change of sources and sinks

1

*— T > RA-AR=[R,A]=0

Fig. 4.15 Commutative graph for Fig. 4.14

Fig. 4.16 Coherent graph | \l,
with sinks and sources for any
entity the same name b b |« c c
N
\4
a a

morpho into a new graph. The incoherence means that the permutation of the “out”
element with fixed “in” element in the same morpho or graph generate defects or
errors or conflicts between database and permutation. Then we have the commu-
tative graph Fig. 4.14.

Figure 4.14 can be represented in this simple way (Fig. 4.15).

The relation T is shown in Fig. 4.16.
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The difference between R and T is that with the same graph the entities are
coherent but permuted. So R and T are similar or isomorphic. For the table relation
we have

T b ¢ a
b 0 1 1
T_CIOO
a 1 0 O

That is consistent because any entity has only one name for the two parts. One
goes to other entities, the other arrives from other entities. So we have (4.2).

T b ¢ a T b ¢ a T a b c
b 0 1 1 a 1 0 O a 01 0
c 1 ool 7 |pbo1 1] |p1o01 (4.2)
a 1 0 O c 1 0 0 c 01 0

In a graph way we have the coherent graph after the two different permutations.
The relation T is not equal to relation R but is equivalent. We have coherence that
the graph change of the database does not lead to the change of the internal morpho.
This means that the new database with a new organization of accessible relations is
different because it has a different meaning, however, the new meaning or acces-
sibility has the same morpho or internal properties. In another word, any reasoning
or path of questions and answers is not equal but has the same structure.

4.4 From Inconsistent to Consistent Data by Map
Reduction in Big Data

Any cluster in parallel with the others is separate in clusters with the same attributes
as color or shuffle. The last part took cluster with the same color and built big
clusters with the same attribute or color. This part is denoted reduction. Now the
incoherent set of data is transformed in a set of coherent data by reduction
(Fig. 4.17).

Table of colors as attributes and objects is the cluster of coherent data.

values Red Yellow Blue
datay  ay ap ap

data, ay, az, azp
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MapReduce Job - Logical View

Map Shuffle Reduce

ink-

ink- - =

ink-

Fig. 4.17 Big data with its attribute in different colors is separate in cluster or map (Color figure
online)

Fig. 4.18 With map 4
reduction we can fix the big
data main reference where we
can create any type of
geometry and trans formation

The map reduction creates the fundamental reference for the big data color space
image or space of attribute as we can see in Figs. 4.18 and 4.19.

4.5 Simple Electrical Circuit as Database Graph Structure

The electrical circuit graph is made by two cycles joining one with the other by the
resistor R,. So the graph of the electrical circuit can, in a schematic way, is given by
the structure in Figs. 4.8, 4.20 and 4.21.

The relation between nodes of the electrical circuit (topology) is given by the
matrix 4.3.
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1 3] =

3.4 |1} @=33

NN e

EFI e vy

32 B/ @=2.2
2

Fig. 4.19 Given a graph with sinks and sources that is incoherent. The same entity or point has
two different names for the sink and source state. Now we know that any point or entity is a unity
that has only one name. This is the incoherence condition as we have in the big data structure. Now
with the map reduction we can transform the two dimensional incoherent graphs into a coherent

graph for which any point is a cluster or sources and sinks with the same name as attribute. So we
have a morpho transformation

W

R1

R3
: TN
+)-; & %))

Fig. 4.20 Electrical network with electrical generator (active part), flow of currents and resistors

L

2 | 1 3

T

Fig. 4.21 Graphic scheme of the electrical circuit where we have two cycles. The node 2 is the

first generator and the resistor R;. The node 3 is the generator with resistor Rj, the node 1 is the
resistor R,

node; node, nodes

node, 0 1 0
node, 1 0 1 (4.3)
node; 0 1 0

Now with the source, sink space we define the incident matrix or relation
between nodes in this way (4.4).
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1 0 0 01 0 ep e O
0 1 Oleg+ |1 0 1lex=]ex e e (44)
0 0 1 01 0 0 €y €]

The second row of the matrix indicates that in the electrical circuit graph we
have one source and two sinks. Because we want to eliminate the bifurcation
element we split the second row into two rows with one source and only one sink.
So we have the formal transformation of the matrix in this way (4.5).

e e O
ep eo O e
e €1 0
e €1 e — (45)
0 ey e
0 € €]
0 € €1

Now we compute the possible trajectories in the network by 4.6.

61(1) 62(2) 0 ey e 0
e(4) e(3) 0 e e 0
0 el (%) 10 81(1) 62(2)
0 (%) el 0 82(4) 61(3)

(4.6)

So the two trajectories are cycles. For any cycle includes a generator, which is an
external element of the circuit that takes energy from external source and introduces
this energy into the electrical circuit, the cycle is not closed. So we open any cycle
in a single path with initial element or pure source, one transit element with one
source and one sink, and one pure sink. So we have the path (Figure 4.22).

Where the first row is the connection between the pure source and the sink of the
transit node. The second row is the connection between the source of the transit and
the pure sink of the path. In Fig. 4.9 we have the transformation of a cycle into a
path. In a matrix form we have the row reduction (4.7).

ep e O

e €1 0 ey e 0

0 ey e - |:O er 62:| (47)
0 e €

Fig. 4.22 The graph in

Fig. 4.8 with two cycles is
transformed in one path
that moves from 3 to 1

and then to 2 t
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In the original matrix, because we want to open the cycles we eliminate the
second row and the fourth row. So the two cycles become two links one for any
cycle. When we want to put in evidence the two links of the cycles and the flows in
the rows we take the transport matrix of the reduction matrix so we have 4.8.

T
et 0 11 0
e € — 71 1 (48)
0 e 30 1

where ¢ and c, are the links that substitutes the cycles. Now for the flows and
voltages Kirchhoff laws we have 4.9.

11 1 0 .
htb=i| =1 1 [”}

. 0 1 (5]

i
- (4.9)
_ Vi
E1:| |:1 1 O:| |:V1+V:|

= v
L E> 0 1 1 V+v

V2

We can see that the connection matrix is the same matrix generated by the
source, sink space when we eliminate the cycle and substitute it for links and paths.
Now in the path we separate the three entities in two parts, one for the sources and
the other for the sink so we have Fig. 4.23.

E. | b i % 2 Ex

\ 4

Fig. 4.23 For the voltages we have one path and for the current we have the reverse path
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V, i
A
| ! |
E2 12 | vV h EI 15
4 T

A 4

Fig. 4.24 Bond graph by sources and sinks any entity is a power system where the currents and
voltages are connected as sinks and sources in agreement with Kirchhoff and path in the entity
relation

Now for the same generator we have two resistors R,, R; with the same current
so we improve the previous graph with the two resistors in Fig. 4.24.



Chapter 5
Formal Description and References
in Graph Theory

5.1 Formal Description of Relationships

Given the relation R

0
R=|1
1

S O =
S O =

We split the relation into two parts shown in Fig. 5.1.
The first part is the start part and the second part is the final part. Now the first

a (b,¢)
part is the vector | b | the second part is the vector a |. Formally we can
c a

assume that the first vector is the values of coordinate e; and the second vector is
the values of the coordinates e,. So the graph can be represented symbolically as
follows (5.1).

a (b,c)
R=|blen+| a |e (5.1)
c a
Or we can also write it as (5.2).
1 00 0 1 1 a ae; + (b+c)ey
R= 01 Oleg+|1 0 Ofe b| = be| +ae, (5.2)
0 0 1 1 0 0 c ce| +aep

For the commutative diagram we have Fig. 5.2.
We have the formal description of the commutative diagram as (5.3).

© Springer International Publishing AG 2017 39
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\4

=

Fig. 5.1 Separation of the graph (relation) in sources and sinks

v

N

Fig. 5.2 Sources, sinks and transformations

Ael =+

S O =
S = O
- o O

—_— = O

S O =

S O =

[ Aae; + (b+c)ex
Abe; + aey

| Ace; +aes

[ ey + (b +c)es

ce; +aep

(5.3)

aey| + aey

The change of the initial value e; does not lead to the change of the final value
which is comparable at the vector convergent graph Fig. 5.3.
We can represent the previous initial value transformation also in this way

(Fig. 5.4).

And for the graph transformations we have (5.4) and (5.5).



5.1

Fig. 5.3 Change of the
source with the same sink

Fig. 5.4 The initial value
transformation

Ael

N
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S O =
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C
a/
{
“Aa
C
a/
a [1 0 0] [0 1 0 [a]
er|bl =110 1 Ofleg+[0 O 1]ex]e|b
c |10 0 1] 11 0 0 | ¢ |
[1 0 0] [0 1 0 [a]
=110 1 Oleg+|0 O 1|ey|e|b
|10 0 1] 11 0 0 | ¢ |
(5.4)
0 1 1 a
1 0 Olex| |
1 0 0 c
(5.5)
01 0 01 1 a
er+ 10 0 1]lex]eg+ |1 0 Olex||b
1 0 0 1 00 c

And we have the commutative Fig. 5.5.

If we have the formal

description as 5.6.
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| v | v

A\ 4 > A4

A\

(9]
©
A\
o

! —

a T

Fig. 5.5 Split of the transformation A first we transform the sources, after the sinks and after we
have the final transformation A

1 00 0 1 1 a ae; +B(b+c)e;
0 1 Oles+|1 O O]Bey b| = be| + Bae,
0 0 1 1 0 0 c cey + Bae,
aey + (c+a)e;
= bey + bey (5.6)
ce| + bey

We have it shown in Fig. 5.6.
And Fig. 5.7 shows the non-coherent graph.
Or in an explicit way we have the conflicting graph Fig. 5.8.
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| \Z

43

a < b =
N N
A\ 4 > y
¢ R
B
I
| v | \4
a < b b |€ c
N N
v —
C T a
Fig. 5.6 Change of the sinks with the same sources
Fig. 5.7 The non-coherent \l/
graph given by the
transformation of the sinks a Ba < Bb
N
\ 4
Bc o
Fig. 5.8 The conflicting \l,
situation
a c |< a
N
y
b c
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Fig. 5.9 Non-conflicting \ I ,

situation
b b

Fig. 5.10 With the same A
sources, we change the sinks Ba
a
C
Fig. 5.11 With the same A Ba
source we change the sinks by
a vector sum
a
C

Now we change the relation in a way to have compensation and non-conflicting
graph Fig. 5.9.

With the analogy of the vector representation we have Fig. 5.10.

Or in a more complete way we have Fig. 5.11.

At the end we have 5.7



5.1 Formal Description of Relationships 45
1 00 0 1 1 a
0 1 O0|Aeg+ |1 O O] Aey b}
0 0 1 1 0 0 c
1 0 0 01 1 a
= 0 1 Ole+ [1 0 Ofex |A|D
0 0 1 1 0 0 c
[ Aae; +A(b+c)es be; + (a+b)ey
= Abe| + Aae; ] = { ce| +aey (5.7)
Ace + Aae, aey +aep
1 00 0 1 1
So the relation R = 0O 1 Oleg+ |1 0O Ofey| is the same but we
0 0 1 1 00
a

change the name of the entities in this way A | b

and we have Fig. 5.12.
c

The graph has no conflicts. In the explicit way we have Fig. 5.13.

The relationships are the same and are coherent with the new graph when we
only change the name of the entities. With coordinates we have Fig. 5.14.

Where the change moves from one vector (relationship) to another equivalent or

parallel.

Fig. 5.12 Change in the
same way the sources and the
sinks

Fig. 5.13 When we change
the sources and the sinks in
the same way, the graph is
always coherent. Source and
sink of the same entity has the
same name

Aa | Aa [« Ab | Ab
N

v

Ac Ac

| v

b b |« c c
N

v
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Fig. 5.14 Parallel A
transformation when we

change the sources and the Aa
sink in the same way Ab

a
b

B
>

5.2 Topological Inconsistency

Given the path on the sphere Fig. 5.15.

Where the tangent vector is comparable with the relationship in the data base.
After the cycle we can not return to the same relationship (tangent). This means that
there is a conflict between the initial point and the final point. The mining of this
conflict is that we use the same relation R that we use in three dimensional space
where there is not constraint for the surface where we have constraint. So on the
surface of the sphere we cannot have information of the curvature. This constraint
as curvature is beyond our possibility and this creates the conflict. Now if we make
the same cycle in the three dimensional space without constraint, the conflict will
disappear. In conclusion, conflict appears because we use representations that do
not take care of the constraints.

Fig. 5.15 The vector in the
cycle on the sphere cannot
return to the same vector so
for the point A the sink and
the source for the same point
or entity are different. This
creates an incoherent graph
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5.3 Inconsistency in Crystal Structure

Figure 5.16a, b is another non-coherent situation. In Fig. 5.16a the ideal network is
mapped in crystal with curvature so we have incoherence in a loop similar to the
sphere incoherence for vectors so we have the disclination defect in crystal struc-
ture. In Fig. 5.16b in a loop the same point is split into two parts, one for the source
and the other for the sink. This defect is denoted dislocation because the same entity
or point is dislocated in two different parts.

There is a sphere and a cylinder (Fig. 5.17).

The sphere cannot reduce to a cylinder because any vector that starts to a point or
source after a loop becomes a sink vector whose direction is different from the
direction of the source vector. In the cylinder the source and sink vectors after a
loop are equal so at any point we have coherent loops.

When any entity is a point, the local coordinates show the three points where we
can move to join one point with another point or one entity with another entity.
Now we can see that locally there is no difference between the cylinder and the
sphere. But globally one is not similar to the other. In fact at the polo Nord and Sud
the two databases are completely different. We remark that at the same point Polo
we have many different directions.

Let’s take an example to explain the conflict situation. Given an elastic ring
(Fig. 5.18), the ring can be seen as the joining together of infinite points.

44—
Rl

ideal

(b) 52 2

114
1
1

+ 1 mappin 1

b‘[r r*'—Ir

-+

ideal dislocated

Fig. 5.16 a Q is the angle between the vector source and the vector sink in the same point as in
the sphere (dislocation). b In a loop the same point is split in two parts one for the source and the
other for the sink
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Fig. 5.18 Two rings are cut in one part. At the left the two cut surfaces are under the same force
but at the right the two surface are under two different torque forces. So the source and the sink
forces are coherent when they are under the same force, and are incoherent when they are under
two different forces. So at the left for the same surface we have a stress situation that is the
mechanical image of the inconsistency in logic

Originally the ring is a coherent structure and has no conflict. If we cut the ring
at some joint, the connection of points is broken and two planes around the cutting
point emerge. When we rotate the two planes with a certain angle at the same time,
the ring is deformed and uncertainty is generated which decides what geometry
topology the circle will be twisted. The uncertainty can be seen as dilemma or
conflict. For small values of the twist, the ring will be deformed a little bit without
out of two dimension space. For sufficiently high twist, the elastic ring will start
writhing out of the plane which all composing points change into three-dimension
space. As it is shown in Fig. 5.19.

To eliminate the conflict or uncertainty, we can apply two compensating ways.
One way is to give the ring some force or pressure to make it restore to the original
dimension space. The other way is to keep the ring in the multi-dimensional space
and make it reach the stable state when deformed (Fig. 5.20).
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Sla) e et

vabaiat

Fig. 5.19 The incoherent ring with internal stress is free to move to compensate the morpho or its
form in a way to eliminate the internal stress or incoherence and give us the coherent ring with new
forms. So the morpho or form changes in a way to give us coherent structure without internal force
or stress. This is comparable with the database incoherence or conflict

Fig. 5.20 In the transformation the source and sink for a point or entity are the same before and
after the transformation. This is similar to the database transformation with the same operator for
the source and the sink in any point or entity
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In the global map or parallel transport, any close loop is transformed in a close
loop. At any path before the transformation we have an equivalent path after the
transformation. From coherent loop we move to another coherent loop. Any loop
before and after the transformation is coherent.



Chapter 6
Logic of Conflicts and Active Set
with Uncertainty and Incoherence

An active set is a unifying space being able to act as a “bridge” for transferring
information, ideas and results between distinct types of uncertainties and different
types of applications. An active set is a set of agents who independently deliver true
or false values for a given proposition. An active set is not a simple vector of logic
values for different propositions, the results are a vector but the set is not. The
difference between an ordinary set and active set is that the ordinary set has passive
elements with values of the attributes defined by an external agent. In the active set,
any element is an agent that internally defines the value of a given attribute for a
passive element. Agents in the active set with a special criterion give the logic value
for the same attribute. So agents in many cases are in a logic conflict and this
generates semantic uncertainty on the logic evaluation. Criteria and agents are the
two variables by which we give different logic values to the same attribute or
proposition. Active set is beyond the modal logic. In fact, given a proposition in
modal logic we can evaluate the proposition only when we know the worlds where
the proposition is located. When we evaluate one proposition in one world we
cannot evaluate the same proposition in another world. Now in epistemic logic any
world is an agent that knows the proposition is true or false. The active set is a set of
agents as in the epistemic logic but is different from modal logic because all the
agents (worlds) are not separate but are joined in the evaluation of the given
proposition. In active set for one agent and one criterion we have one logic value
but for many agents and criteria the evaluation is not single true or false but is a
matrix of true and false. This matrix is not only a logic evaluation as in the modal
logic but gives us the conflicting structure of the active set evaluation. Matrix agent
is the vector subspace of the true or false agent multidimensional space. Operations
among active sets include operations in the traditional sets, with fuzzy set and rough
set as special cases. The agents multi dimensional space to evaluate active set
include also the Hilbert multidimensional space where it is possible to simulate
quantum logic gate. New logic operations are possible as fuzzy gate operations and
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more complex operations as conflicting solving, consensus operations, syntactic
inconsistency, semantic inconsistency and knowledge integration. In the space of
the agents evaluations morphotronic geometric operations are the new frontier to
model new types of computers, new type of model for wireless communications as
cognitive radio. In conclusion, active set opens the new possibility and new models
for the logic.

6.1 Agents and Logic in the Epistemic Logic

Epistemic logic is the logic which formalizes knowledge of agents. Among many
applications it is used in game theories and economic behaviour in databases and in
verifying cryptographic protocols shared knowledge, common knowledge.
Epistemic logic is also known as the logic of knowledge, it deals with modalities,
which are not part of traditional logic and which modify the meaning of a propo-
sition. For instance such a modality is the knowledge modality: “agent Alice knows
that...”, written K. Alice. There is one knowledge modality Ki for each agent i, so
when there are n agents, there are n knowledge modalities. From the Ki’s, one can
build two new modalities, namely a modality Eg of shared knowledge, which
modifies a proposition p into a proposition Eg(p) which means that “everyone in the
group g knows p” and a modality Cg of common knowledge. Cg(p) would say “p is
known to everybody in the group g” in a very strong sense since knowledge about p
is known at every level of knowledge. Slightly more precisely, if g is the group of
agents and p is a proposition, Eg(p) is the conjunction over the i 2 g of the Ki(p)
and Cg(p) means something like “everybody knows p and everybody knows that
everybody knows p and... and everybody knows that everybody knows that
everybody knows...that everybody knows p...” This infinite conjunction is handled
by making Cg(p) a fix point. A typical example of common knowledge is traffic
regulation. When, as a car driver, you enter an intersection you know that the
person on your left will let you go, moreover you know that she knows that you
have the right to go and you are sure (you know) that she will not go because she
knows that you know that she knows that you have the right to go etc. Actually you
pass an intersection with a car on your left, because there is a common knowledge
between you as a driver and the driver of the other car on the rule of priority. But
those who travel have experienced the variability of the common knowledge. Take
a stop sign. In Europe it means that the person which has a stop sign will let the
other to pass the intersection. In some countries, the stop sign is just a decoration of
intersections. In the USA, the common knowledge is different since there are
intersections of two crossing roads with four stop signs and this has puzzled more
than one European. One main goal of epistemic logic is to handle properly those
concepts of knowledge of an agent, shared knowledge and common knowledge. So
we have the Epistemic logic evaluation 6.1.
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_ Agent 1 2 3
K,(p) = (Logic value true false true) (6.1)

where the proposition p is true for the agent 1, false for the agent 2 and true for the
agent 3. Any agent in epistemic logic is completely separate from the others and
any evaluation is given only when we know the agents as worlds. No conflict is
possible because the agents are not considered together but one at the time as for the
world in the modal logic.

6.2 Concepts and Definitions of Active Set

In the previous historical background we have vector evaluations but without any
conflict because one evaluation is apart from the others. So p can be true in one
situation and false in another but the two situations are not superposed so no
conflict is possible. Only in quantum mechanics we can have superposition of
different states where the proposition p can be both false and true. Now in quantum
gate we use superposition and inconsistency only when we want to make a massive
parallel computations. But when we want to measure the computation result, the
superposition collapses and we always come back to a total separation of the states
that is in agreement with the consistent classical logic by which we can make
computation in the Boolean algebra. Now in a recently works on the agents appears
the possibility to have inconsistent and conflict logic system where we can choose
the consensus situation to come back to the classical and consistent true or false
logic from inconsistency and also knowledge integration where we can know the
logic value for complex propositions. Recently Cognitive radio system uses
inconsistency to have a wireless efficient system. The aim of this chapter is to define
a new type of set, that includes classical set theory, fuzzy set, set in evidence theory
and rough set.

6.3 Properties and Definition of the Active Set

Any active set is a set of superpose agents, and any agent gives a value for the same
proposition p. Active set appears similar to the Epistemic logic evaluation but the
difference is that it is connected with the superposition of the world or agents whose
judgment is not related to one agent but to the set of agents. We recognize active set
elements in the vote process where all agents together give votes for the same
person. In general the vote process is a conflicting vote because we have positive
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and negative votes for the same person. In epistemic logic this is impossible
because we want to know where is the agent that gives a positive or negative
judgment and this is possible without any conflict because we know the name of the
agents. In active set, the set of agents is independent of the name that gives the
judgment that must be only one for the set of agents. Now when all the agents
obtain a consensus, they together give the same logic value so the conflict disap-
pears and we have the classical non conflicting situation. The same is for knowl-
edge integration where agents must be taken to integrate its actions to create the
wanted knowledge integration. So now we begin with the formal description of the
active set theory. Given three agents with all possible sets of logic values (true,
false) one for any agents. So at any set of agent we have a power set of all possible
evaluation for the proposition p. For example given three agents, the active set is a
set of three agents with 8 sets of possible logic values for the same proposition p
(as 6.2).

Agent 1 Agent 1 2 3
- ( Logic value true true true ) ( Logic value true true false )
Agent 1 Agent 1 2 3
<L0gic value true false true ) (Logic value false true true >
Agent 1 Agent 1 2 3
<Log1c value false false true ) < Logic value false true false )
Agent 1 Agent 1 2 3
( Logic value true false false ) < Logic value false false false )
(6.2)

In a more formal way we have 6.3.

SS(p) = {A,Q(p)|A = setof agents, Q(p) = power set 2" of the evaluations }
(6.3)
Given the proposition p, we denote as Criteria C one of the possible evaluation p

in the set Q(p). For example with three agents we have eight criteria to evaluate the
proposition itself so we can write 6.4.
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Agent 1
Q(pv Cl) = .
Logic value true true true
Agent 1
Q(p7C2 g
Logic value true true false
Agent 1
Qp,C3) = .g
Logic value true false true
Agent 1
Q(P,C4 = < g >
Logic value false true true (6.4)
Agent 1 ’
Qp,Cs) = )
Logic value false false true
Agent 1
Q(p,Cs) = .g
Logic value false true false
Agent 1
Qp,C7) = ( 'g >
Logic value true false false
Agent 1
Q(p,Cs) = .
Logic value false false false

We remark that the set of Criteria is a mathematical lattice. For the previous
example we have Fig. 6.1.

Operations
The agents set A is an ordinary set with normal intersection union and comple-
mentary operator. For the logic evaluation we have two different operations.

Fig. 6.1 Lattice of the

uncertainty with different G

criteria
CZ C3 C4
Cs Ce Cs

Cs
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(1) Operation among criteria for the same proposition. Because we have the same
proposition with two different criteria, we cannot compose the logic values that
are heterogeneous. So we have the rule 6.5.

Agent 1 2 ... n
C o Cj = C; Vig Vig oo Via (65)
Cj V21 V22 ... Vog

So we increase the dimension of the space of the evaluation. For example, given
ten agents and two criteria we have 6.6.

Agents 1 2
Q(_p,Ci,Cj) = p, Ci f f
p,C 1t

(6.6)

~ =~
~h W

3
1t
f
In a graphic way we have Fig. 6.2.

(2) For two different propositions p and q we have the composition rule for the
active set (as 6.7).

Agents 1 2 ... n Agents 1 2 ... n
Q(pArg,C) = A
P,C  Vip Vap ... Vap 4, C  Vig Vag ... Vug
(Agents 1 2 n )
B P9, C Vip A Vig V2p A V2g -+ Vap A Vg
(6.7)
Agents 1 2 ... n Agents 1 2 ... n
Q(P\/Chc):( s )V( s )
p,C vip Vap . Vi q,C  Vig Vag ... Vg
(Agents 1 2 n >
N D:q,C vipVvig vapVVvag .. VapVng
(6.8)

Fig. 6.2 Two dimensional
evaluation for two different

criteria for five agents and the P
same proposition p
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Example 6.1
Agents 1 2 3 4 5 6 Agents 1 2 3 4 5 6
Q(p) = Q) =
values t t t f f f values t t t t f f
Agents 1 2 3 4 5 6
QpVva = :
values t t t t f f
Agents 1 2 3 4 5 6
QpAq) =
values t t t f f f

The two logic operators are sensible to the order of the agents as a list for the
negation operator we have 6.9.
Agents 1 2

Q(—p) :(value or(—w) + (L =oq)(vi) oa(—v2)+ (1 —aa)(v2)

) (6.9)
O(n<_‘vn) + (1 - OC,,)(V,,) )

Example 6.2
_(Agents 1 2 3 4 5 6
Qlp) = (values f f f t t t>
For
. Agents 1 2 3 4 5 6 Agents 1 2 3 4 5 6
if o= then Q(—p) =
values 1 1 1 1 1 1 values t t t f f f
B Agents 1 2 3 4 5 6 Agents 1 2 3 4 5 6
if o= then Q(-p) =
values 1 1 1 0 1 1 values t t t t f f
. Agents 1 2 3 4 5 6 Agents 2 3 45 6
if o= then Q(-p) =
values 1 1 0 1 1 1 values t t f f f f

When all the values of o are equal to one, all the agents change its value in the
negation operation. When one o is zero for the true values one true value agent does
not change and all the others change. So in the end the number of agents with true
value in the negation operation is more than in the classical negation for any agent.
On the contrary, if o is zero for one agent with false value, the number of the true
value in the negation is less than the classical negation for any agent.
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6.4 Aggregation Rule for Active Set

Given an active set, we associate to any active set evaluation a number by an
aggregation function that can be linear or non linear. For the linear case the
aggregation can be simple aggregation or can be weighted aggregation. For
example for simple linear aggregation rule we have the aggregation rule 6.10.

Agent 1 2 3
for Q(p7 Cl) = .
Logic value true true true
1 1 1 1 1 1
ulp, Cy) == |true) + = |true) + = |true) == + - + = =1
3 3 3 3 3 3 (6.10)
Agent 1 2 3 '
f()}’ Q(P) CZ) = .
Logic value true true false
1 1 1 1 1 1 2
ulp,C) = 3 |true) + 3 |true) + g[false> =3 + 3 + 50 =3

Where Q is the linear superposition of the logic value for the active set.

6.5 Fuzzy Set by Active Set

The probability calculus does not incorporate explicitly the concepts of irrationality
or agent’s state of logic conflict. It misses structural information at the level of
individual objects, but preserves global information at the level of a set of objects.
Given a dice the probability theory studies frequencies of the different faces
E = {e} as independent (elementary) events. This set of elementary events E has no
structure. It is only required that elements of E be mutually exclusive and complete,
and there is no other possible alternative. The order of its elements is irrelevant to
probabilities of each element of E. No irrationality or conflict is allowed in this
definition relative to mutual exclusion. The classical probability calculus does not
provide a mechanism for modelling uncertainty when agents communicate (col-
laborates or conflict). Below we present the important properties of sets of
conflicting agents at one dimension Let €(x) the active set for the proposition x and
|Q(x)| be the numbers of agents for which proposition x is true we have
Given two propositions a and b when

If |Q(a)] <|Q(b)| then p=aandq=>b
If |Q(b)| <|Q(a)] thenp=Dbandq=a

So we order the propositions from the proposition with less number of true value
to the proposition with maximum of true values (Fig. 6.3)
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Fig. 6.3 Fuzzy rules and
Active sets Q(q)

Q(p)

Agents 1 2 3 4 5 6 7 8
)~ ( )
values f f t t t t f
Agents 1 2 3 4 5 6 7 8
) - ( )
values f t t t ot t
Q(p)| =4, [Qq)=5
We have
Agents 1 2 3 4 5 6 7 8
QpArg) =
values f f t f t f f
Agents 1 2 3 4 5 6 7 8
QpVvq) = ( )
values f t t t t t f t,
QpAg) =3], [QpVaq)=06|

Now we know that

gV pA—-q)=(@qVp)A(@V-qg) =qVp
PA-(PA=q)=pA(=pVq)={PA-P)VpAqg=pAq

But because when q is false and p is true we adjoin one logic value true at q to
obtain p or q. So when we repeat this process many times for any agent we have
that at the number of true values for ¢ we must adjoin other true values for which q
is false but p is true. In conclusion we have
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QP V q)| = |Qq)| + Q=g Ap)| = max(|Qq)], |Q(p)| + |2(=g A p)| For any
operation we have that when q is false and p is true we eliminate one element for
which p is true. In conclusion when we repeat this for many times we have

QP A g)| = 12(p)| = [Q(=g A p)| = min(|Q(q)[, |Q(p)| + [Q(~g A p)|

In one word, in the active set we can find the Zadeh rule again when p and not q
is always false.
Zadeh rule
|Qp A q)| = min(|Q(q)], [Q(p)]
Qp V q)| = max(|Q(q)], |2(p)]|

So when the agents for which p is true are also the agents for which q is true. In a
graphic way we have Fig. 6.4.

We can also remark that the minimum rule is the maximum possible value for
AND and the maximum rule is the minimum possible value for OR. We can see
that for the previous example we have

for |Q(p AN —q)| =1
[Q(p A g)| = min(|Q(p)], |2(qg)]) — QP A —g)| =4 -1=3
Qp V q)| = max(|Q(p)], |2q)]) + |Qp A —g)| =5+ 1=6

For the negation we have the Zadeh rule
1Q(=p)| = n—|Q(p)|

When we divide agents with the number n, we have the traditional rule

Qp)l _, _1Q0)]

=1

u(-p) = =1 —ulp)

Fig. 6.4 Zadeh fuzzy rules
and active sets




6.5 Fuzzy Set by Active Set 61

Fig. 6.5 Change of the 6
Sugeno negation value for the N

change of lambda parameter 5

4

F(M.3) 3

2

1
0

-1 -0.5 0 0.5 1

In this situation all the agents in the negation change all the logic values in a
synchronic way. But when we have the Sugeno rule

Clep(p) 120 o)

Q—| = - — — -
QP = upin =17 o5n 1wl = 2I00)]

where A = [—1, oc] when we change the lambda parameters for n = 6 and Q (p) = 3
we have the negation value (Fig. 6.5).

When A = 0 all the agents change their logic values. So before we have three
true values and three false values for the negation we have the same values again
but are reversed. For

if 2=0, [Q=p)[=n—-[Qp)|=6-3=3
if 2<0, |Q(-p)| >n—1Q(p)|
if 2>0, |Q(=p)|<n—|Qp)|
When A is negative, agents with true values do not change, when A is positive,

agents with false values do not change. In conclusion, t-norm and t-conorm and
fuzzy negation can be simulates inside the active set.

6.6 Theory of Inconsistent Graph and Active Set

Given the inconsistent graph Fig. 6.6
We have the active set definition.
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Fig. 6.6 The nodes are

inconsistent
a c |€ b a
N\
\ 4
b c
[ agents entity; entity, entitys |
value(ay) =
| value T F F ]
[agents entity, entity, entitys]
value(by) =
| value F T F ]
[ agents entity; entity, entity; ]
value(cp) =
| value F F T |
[agents entity; entity, entitys |
value(ag) =
| value F T F ]
[agents entity, entity, entitys |
value(bg) =
| value F F T |
[ agents entity, entity, entitys]
value(cg) =
| value T F F

When we compose the left active sets with the right active set by logic equiv-
alence operation we have

agents entity; entity, entitys agents entity; entity, entitys

{value T F F ] - [value F T F }
agents entity) entity, entitys

- [value F F T }

agents entity, entity, entity; agents entity; entity, entitys

{value F T F ] - [value F F T }
[agents entity, entity, entitys]

- | value T F F ]

agents entity; entity, entitys agents entity; entity, entitys

{value F F T ] - [value T F F }
[agents entity; entity, entitys]

- | value F T F

For consistent graph Fig. 6.7.
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Fig. 6.7 The nodes are | \l,
consistent
a a (€ b b
N
\ 4
c c
We have

{agems entity;  entity, entity3] [agents entity, entity, entityﬂ

value T F F value T F F
agents entity) entity, entitys

- [ value T T T }

agents entity, entity, entity; agents entity; entity, entitys

{value F T F ] B [value F T F }
agents entity; entity, entitys

- [ value T T T }

agents entity; entity, entitys agents entity; entity, entitys

{value F F T ]: [value F F T }
agents entity, entity, entitys

- [ value T T T }

For consistent graph the logic equivalence for active sets gives the value which
is always true. So we have no conflicts.



Chapter 7
Cycles, Sinks, Sources and Links Products

In Chap. 1, we have given the representation of relation with sinks and sources in
database. In this chapter, we use a new instrument to give a method for modelling a
graph with cycles, sinks and sources by the external product.

Depending on the relationship, every entity in database can be split into two
parts, the first part is the source, and the second one is the sink. How to represent
the two parts in mathematics is a big problem. In Chap. 1, we gave the represen-
tation of relations as 7.1.

1 0 0 0O 01 1 10 class

01 0 0O 1 0 0 0O classroom
0 01 0 Ojleg+[1 0 0 0 1]e enrollment
00 010 1 0 0 0O teacher
00 0 0 1 00 1 00 student

7.1
class)ey + (classroom + enrollment + teacher)e; (7.1)

classroom)ey + (class)e;
enrollment)e) + (class + student)e,

teacher)e; + (class)e,

I
~~ N N N

student)e; + (enrollment)e;
A more simple example is 7.2
1 0 1 1 a| _|ae+aer+be;
({o 1}6”{1 1}62>M B {be1+aez+be2 (7.2)
The network can be represented in Fig. 7.1.
© Springer International Publishing AG 2017 65
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Fig. 7.1 Relations with each | \l,
node having two parts

We have four links given by the vector of the links

aey + ae; fi
bey+bey | | fo
aei +bey | | f3
be| + ae; fa

We remark that (e; + e )a is a self loop because the entity a includes a sink and a
source together, the same for (e; + e;)b. The tensor product of the vector is

ae; +aey | [ae; +aep (aey +aey)(ae; +aey) (aey +aey)(bey + bey)
bei +bey | | ber+bey | | (ber +ber)(aer +aez) (bey +ber)(ber + bes)
ae; +bey | | ae; +bey | (aey + bey)(ae; +aey)  (aey + bey)(bey + bey)
be, +aey | | be; + ae; (bey +aey)(aer +aey) (bey + bey)(bey + aes)

(aey + aey)(aey + bey)
(bey + bey)(aey + bey)
(aey + bey)(ae) + bey)
(bey +aer)( )

(ae1 + aer)(bey + aey)
(bey + bes)( )
(aey + bey)(bey + aes)
(bey + aer)( )

be| + aes

ae; + be, be| +ae;

For the value (ae; 4 aey)(be; + be;) we have the connected conflicting graph
Fig. 7.2.

But we know that the two links are not connected in fact. With compensation we
have the consistent graph Fig. 7.3.

Fig. 7.2 Conflicting graph

Fig. 7.3 Compensate graph
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For the values

abe% sources
2
a‘eje extreme
(ae; +bey)(bey +aey) — | 7,717 | = .
b eze; connection
bael sin ks

we have the consistent connected graph Fig. 7.4.
Now because the initial value ae; and the final value ae, have the same name,

the previous value is a loop. When we build the graph of the consistent links we get
the evolution connection table R.

R fi o fifa
A1 010
H 01 0 1
£ 10 0 1
fi 01 1 0

For this we have the second order graph Fig. 7.5 generated by two links
connection.

Fig. 7.4 Consistent graph \1,

Fig. 7.5 Second order graph
y A 4
L fi f2 f2
A
y | \ 4
fs JER S fa fa
A
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7.1 Study of Sink Property

For the relation shown in Fig. 7.6,
We have the table

Data (class)e, (classroom)e, (enrollment)e, (teacher)e; (student)e;
(class)e, 0 1 1 1 0
(classroom)e; 0 0 0 0 0
(enrollment)e; 1 0 0 0 1
(teacher)e; 1 0 0 0 0
(student)e; 0 0 0 1 0

There is no link starting from classroom to other entities, so classroom is a sink.
We recognize the sink because all the row values of the sink are equal to zero. So
we have

1 0 0 0O 01 1 10 class

01 00O 0 00 0O classroom

0 01 0 Oleg+|1 0 0 0 1]e enrollment

00 010 1 00 0O theacher

00 0 0 1 001 00 student
class)ey + (classroom + enrollment + teacher)e;
classroom)e;

enrolment)ey + (class + student)e;

teacher)e; + (class)e;

~ Y~~~

student)ey + (enrollment)e;

Fig. 7.6 Relation in database
class Student

S| teacher
rd

Y

\1, A

classroom

enrollment
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When we multiply for the sink we have

[(class)e + (classroom)es]|(classroom)e;]

7.2 Study of Source Property

For the relation shown in Fig. 7.7, we have the table.

class classroom enrollment teacher student

class 0 1 1 0 0
classroom 1 0 0 0 0
enrollment 1 0 0 0 1
teacher 1 0 0 0 0
student 0 0 1 0 0

From teacher, we can go to class but no entity goes to teacher. All values of
teacher column in the relation are equal to zero. So teacher is a source.
And

1 00 0O 01 1 00 class

01 0 0O 1 0 00 O classroom
0 01 0 Oleg+|1 0 0 0 1]e enrollment
00 01 O0 1 00 0O teacher
00 0 0 1 0 01 0O student

class)ey + (classroom + enrollment)e;
classroom)e; + (class)e;
enrollment)e, + (class + student)e,

teacher)e; + (class)e;

~ T~~~

student)e; + (enrollment)e;

Fig. 7.7 Teacher is a source
class student

teacher

N\

® N

classroom

5| enrollment
7
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When we multiply for the source we have

[(teacher)e; + (class)es][(class)e; + (classroom + enrollment)e,)

7.3 Both Sink and Source

The sink entity can be seen (accessible) from all the other entities but from the sink
entity it is impossible to see the other entities. For the source entity we have dual
property. From the source it is possible to see all the other entities but all the others
cannot see the interior information of the source. Now in database it is possible to
have sink and source entities together. Figure 7.8 is the example.

The from/to relation is

class classroom enrollment teacher student

class 0 0 1 1 0
classroom 1 0 0 0 0
enrollment 1 0 0 0 1
teacher 0 0 0 0 0
student 0 0 1 0 0

We can see that teacher is a sink and classroom is a source.

7.4 Cycle in the Database

When no sink or source is present in a graph or sub-graph, there must be cycles
included. For example, in the following relation, there are one sink and one source.

Fig. 7.8 Sink and source
together class teacher student

T A

classroom

enrollment




7.4 Cycle in the Database

1 0 0 0O 001 0O class
01 0 0 O 1 0 0 0 O classroom
0O 01 O Ojleg+|[1 0 0 0 1f|en enrollment
00 0 10 00 0 0 O teacher
00 0 0 1 001 00 student

e 0 e 0 O class

e e 0 0 O classroom
= e 0 e 0 e enrollment

0 0 0 e O teacher

0 0 e 0 e student

class)ey + (enrollment)e;

classroom)ey + (class)e;

teacher)e;

[ (
(
= | (enrollment)e; + (class + student)e,
(
L (

student)ey + (enrollment)e;
Now in the sub-graph (class, enrollment), (student, enrollment), the table is

class classroom enrollment teacher student

class 0 0 1 0 0
classroom 0 0 0 0 0
enrollment 1 0 0 0 0
teacher 0 0 0 0 0
student 0 0 0 0 0
class classroom enrolment teacher student
class 0 0 1 0 0
classroom 0 0 0 0 0
enrolment 0 0 0 0 1
teacher 0 0 0 0 0
student 0 0 0 0 0

There is no sink and source. So we have the cycles.

ei(l) 0 ex2) 0 0 class

0 0 0 00 classroom
e(4) 0 e(3,1) 0 ex(2) | |enrollment
0 0 0 0 0 teacher

0 0 e4) 0 e1(3) | | student
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A graph has no cycle when any entity is a sink or a source or a transit between
sink and source. In this situation we have a lattice (partial order) for which we move
from source to sink without the possibility to come back (cycle or loop). Given the
relation without cycles.

class classroom enrolment teacher student

class 0 1 1 1 0
classroom 0 0 0 0 0
enrolment 0 0 0 0 1
teacher 0 0 0 0 0
student 0 0 0 0 0
or
class classroom enrolment teacher student
class el e e e 0
classroom 0 ey 0 0 0
enrolment 0 0 el 0 e
teacher 0 0 0 e 0
student 0 0 0 0 e

‘We have that class is a source, classroom is a sink, enrollment is a transit, teacher
is a sink, and student is a sink. The transit moves from class (source) to student
(sink) so we have the lattice (Fig. 7.9).

Fig. 7.9 Lattice in the graph
of data base class
classroom teacher enrollment

\

student
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7.5 Graph as a Space with Reference

Given the set of paraboles Fig. 7.10.

We see that in the three cases we respectively have two geometric intersections,
one tangent intersection and no intersection. The first situation is given by the
equation x> — 1 = 0. The second situation is given by the equation x> = 0. And the
last situation is given by the equation x?> + 1 = 0. For the last situation, we have no
coherent and consistent solutions. In mathematics, given a polynomial equation,
when there is no coherent solution, a new unity and coordinate is invented asso-
ciated with the impossible operation i = v/—1 that is defined as imaginary coor-
dinate. Now we know that any entity is a unity and has only one name. So we
cannot give two different names for one entity. This appears similar to the previous
paradox so we solve the paradox in a similar way. We introduce one unity denoted
source and the other unity denotes sink. So the same entity is inconsistent because
we give two different names at the same entity. The entity can be represented by
two dimensional space with two different attributes. The first is source (as e;) and
the other is sink (as e;). As for the complex number we have a = x + iy. For graph
theory we have f = xe| + ye;.

Where, f is the relationship from the source part of the entity x to the sink part of
the entity y. So any entity is split into two parts “sink™ as e; and “source” as e;.
Now in the complex number we have an algebra of the unities for which we have
the multiplication table 7.3.

11 (7.3)

So we can define the external and the internal product for the graph coordinate e,
and e,.

v
N\

\4

\4

Fig. 7.10 The set of paraboles
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external product :

internal product :

7 Cycles, Sinks, Sources and Links Products

ext e; ej
e; 0 €;e;
€ —€;€; 0

int ¢ e

[ 1 0

€;j 0 1

Now we give other possible operations.

Example 7.1
Given the Fig. 7.11

* (4] ()] €y
€ daix dan Ain
general | ey ay ax ar,
€n  dyl dp2 (2
Group product
* 1 -1 i —i
* epr=1 e =-1 1 1 -1 i —i
eg =1 1 —1 , -1 =1 1 —i i
e =—1 —1 1 i i - -1 1
—i =i 1 1 -1
where, the relationship is
aey +aep
bel + b€2
aey + b€2
be| + aey
In two-dimensional space, there is (Fig. 7.12).
Fig. 7.11 Coherent graph
a a <




7.6 External Product 75

Fig. 7.12 Two-dimensional A
representation €2
b+ @ [
aT @ [
| ] »
| | o
a b !

7.6 External Product

Given the relationships

o= e1v) +e

B =eva+ens
We have

off = (e1vi + exav2)(e1va + eav3)

= ere1(viva) +e1ea(vivs3) + exer (vav2) + ezen (vavs)

when we use the external product

eej = —eje;
e;e; + ee; —= O
ee; = 0

and
aff = erea(vivs) — erea(vava) = erez(vivy — vava)
The table of the product is
ext e1vy +exn evy +exvs

evy +exy 0 (V1V3 — V2V2>€1€2
e1vy +exv3 (V2V2 — V1V3)€1€2 0
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To compute the elements we use the determinant form.

Vi

det [
V2

V2
= Vivz — W\
V3

Determinant provides an easy way to compute the product between
relationship. When we permute the column in the determinant we have

vy v
det| 2 '] = VaVy — ViV3
Vi V2

For a chain of three elements we have
afy = (e1vi +exv2)(e1va +exv3)(ervs +evs) =0

In fact, for the product, we have almost two equal elements so the product of
three is equal to zero. How to explain the result? When e, is a query and e, is an
answer, we say for any answer, there is one and only one question, and for any
question, there is one and only one answer. It is impossible to have two queries and
only one answer, and also impossible to have two answers with only one query
because this has no meaning. This is why the previous product is always false or
zero. In the ordinary query and answer system we have no memory because we
have only one question at one time and then the answer. We cannot have the
memory of two queries (source) and one answer (sink). For the source and sink
space we can give a differential form to the superposition of the source sink space
and the external product in differential calculus. Given the two relationships for
which we have formal entities whose name is a differential operator and the other at
the name we have the differential operation for the same function. So

. 0 )
o =viep+ e = —xel + —e

0 dy
0 0
B= Vgel +vep = (a—iﬁ + 8_§82)

So the external product of two relationship is

aff = (vieg —|—v§e2)(v§el +v3er) = ejea(vivs — v%v%)

e (20O
- ae Oxdy 0Oyox

The parallel condition is given by the expression
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aff = (vie +Vé€2)(\/§€1 +v3er) = erea(vivs — vév%)

e (2U_OUN
- ae oxdy Oyox)

We know that the identity (%g—f; — 8_8)3_0 = 0 or parallel condition which can be

written also in this way
D () _ 0 ()
Ox Jy Oy Ox

We remark that if the previous coherent condition is true we have the famous
integral property (exact differentiable form)

wwwﬁ+wmw

df =
U Qy Ox

dy

In fact we have

f:/ﬂz/wgww+/wgw@

and

of (x,y) 0 f (x,y) of (x,y) [ 0 9f(x,y) 0 Of (x,y)
o ‘a_y(/ o d”/ oy dy)‘/a_y o "”/a_y @

W) 0 ([ Ly, [Ul),) [ OUle), L [ty

Ox Ox Ox Jy ") ax @ Oox Oy
If
O 0f(xy) _ 9 0f(xy)
Ox Oy dy Ox
then
Fxy) 9 /aﬂx,y) /aﬂx,y) [0y 9 ()
Oy 7(9y< Ox dit Jy )= ox Oy dt dy Oy a

o xy) 0 ( [0f(xy) fxy) N _ [0 (xy) 0 Of(x,)
Ox _8_16(/ Ox dx+/ Oy dy)— Ox Ox dx—l—' dy Ox d

That with particular condition is an identity. Now we prove the reverse
condition.
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! r 8f(8);y) & 8fgc,y) dy
then f:/afgw) / 59 )y
o [ [ %5
Uiy _ 0 e
9 8f(x,8;c) aax(é / v (2
( )—aax(aay(/ v [25w))
(o) iy ([ 75 e [57))
and

v

The data base form

Ox (af(ay )) %(
of

0
v%el +viep = (8_£el + 8—yeg)

is denoted gradient. The divergence of a vector function indicates how much of the
field flows outward from a given point. Figure 7.13a shows a function that has
divergence. Note that the divergence of a vector field is itself a scalar. If the vector
field is a velocity field then a positive divergence implies the mass at the point

~ } s TN

N/ /TN
/1\ 7
/ | N\ \ B

Fig. 7.13 Derivatives of vector functions. a An irrotational vector field has only divergence (no
curl). b A solenoidal vector field has only curl (no divergence)
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decreases. Think about a tank of compressed gas emptying out; the volume of the
container remains constant but the amount of gas inside the tank diminishes as gas
flows outward.

7.7 Internal Product for Multidimensional Many Sources,
and Many Sinks Space

Given the internal product
if i = jthen e;ej = 1
if i # j then eje; = 0

we have

(0, 0N, W)Y 0y
h= <8+ ayQ) (8* ay“) ~oxox | dyoy

The product is the divergence. The curl of a vector field indicates the amount of
circulation about each point. Figure 7.13b shows a vector field that has curl. The
curl of a velocity field is called the vorticity. Note that the curl is itself a vector. To
find its direction, we use the “right-hand rule: Curl the fingers of your right hand
along the direction of the vectors and your thumb will point along the direction of
the curl. In Fig. 7.13b, the curl points out of the page. The fundamental theorem of
vector calculus states that you can represent a vector field as the sum of an irro-
tational part (which has no curl) and a solenoidal part (which has no divergence).

7.8 Segment Type, Surface Type, Volume Type
and Others in Graphs

We know that the area of the parallelogram generated by two vectors is given by the
product of the norm of one vector and the distance of the perpendicular line of the
other vector. It is shown in Fig. 7.14.

We can consider a surface as a measure of independence between vectors. When
the vectors are independent, they are orthogonal and the surface assumes the
maximum value. Given the vector v, its orthogonal vector is

w=(I—v() W) =1-0(®)
and

wy = (I —v(v) Wy =0
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Fig. 7.14 The area of the
parallelogram generated by
two vectors

area = wi}]

In fact with a little algebra we have
wy = (I —vO"v) Wy =v—v0Tv) Wy =0
To compute the surface generated by the two general vectors (Fig. 7.15) we

must have an algorithm that creates the orthogonal projection of one vector into the
other. Now we know that the operator

-1
Q=vi(vivi) v
Project v, into v; and we have
-1
Ovy = vl(vlTvl) vlTvz
With the property
-1

Qv = vl(vlTvl) vlTvl =
The projection of v; on itself is equal to v;. We have also that

-1 -1 ~1

0(0v2) = vi(vIv) "I (VTv) TTvy = v (V) T, = 0wy

The projection of the projection is again the same projection. Now we can see
that

Fig. 7.15 Operational form
of the projection operator
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(Qva —2)"Qva = ((Qv2)" — V) Qv = (v Q" Qv2 — VI Ovs)

but
o'=0
and

T T T T T T T
VzQ Ovy — Vo Ov, = VzQQVZ —V Oy, = VzQV2 - VZQVZ =0

Example 7.2

ai
vl{ ],vz basef“ \/alJra2
ap

1 ay(aiby — biay)
n-v=0 [_al(albz - bﬂz)} (0r2 =)' (Qr2 =) =

aj —|—a2
(a1by — biay)

height = [Qv, — v, r Ovy — vy 12 =
N

b
surface = height x base = a;b, — bya, = det {al ! ]
ay b2

(ar1by — b1a2)2
a% —l—a%

= copula

The copula has the geometric image as height but gives us the degree of inde-
pendence. Because

va = Q(vi)v2 = (I — Q(v1))»

and

From the previous expression we can have the example

- cos2(a) cos(a) sin(a) T [ cos(p)
Ovi)v2 = Lcos(a) sin(a)  sin’(a) } Lln(ﬁ)}
10 cos’(x)  cos(a) sin(a)
1—=Q(v1) = 0 1:| - [cos((x) sin(o) Sinz(fx) :|

_ [ sin?(«) cos(a) sin(oc)]

| cos(a) sin(2) cos? ()
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" D =i (I - Q(n))v, |
L] 1o 3] L " o)
= sin” (@ — f)

Given the product operator

af = (evi +exva)(e1vs +exvs) = (viva — vavs3)erer
V2

= det{vl

e1e = (V1V4 — V2V3)€1€2 = Deleg
Vi W

In fact we have

cos(a) sin(a
- (a0 st
cos(f) sin(f)
= sin(x — )
For the DEPENDENCE we have the expression
Dependence = (Qv,)" (Qv,)

Dz_ (cos(2) sin(8) — sin(x) cos(f))*

Example 7.3

Given v; = [Z?;((Z)) } V2 = {Z?HS((/[;”

We have the dependence operator E in this way

= [0 ([ [:zfé::i]) o]
_ [ cos?(a) cos(a) sin(o )]
B ZCOSC(;XS) S<m Cossm ) sin( cos(f
= cos(x — f) [:j((/lj)) }

E = Dependence = (Q(vl)vz)TQ(vl)vz = v;Q(Vl)TQ(vl)vz
=vi0()Q(v1)v2 = v Q(vi)va
= cos*(a — f)
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For the dependence and independence we can give more information in this way.
Given

E = Dependence = viQ(vi)vas = b
D = Independence = v (I — Q(vi))va = h

Vectors in two dimensions

aon=[2)([e] o)) Tl [, ]

2 T1.\2
T _ (aibi +asby)”  (a'b)
Vs Q(VI)VZ = a% +a% T da

So
2

VZTQ(Vl)VQ _ (a1b12—|— azzbz) _ a1by + axby _ V{Vz
ait+a; Va@+a & +d

_Vaj+a3\/b} +b5cos(a) /bz—i—bzcos(oc)
- > 3 - 1 2
vay+a;

So we have

VIO )ve _
R I

and

(\/ng(vl)vz)\/a% +a% = albl +azb2 = V{Vz

For the scalar product
aa-coom =[] ([0 - 2I(ET 1) 2T
-]

P —pi;
—pP1DP2 P%

X 1 i
——— = independence
Y | p1+p3
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and
x1"[ ko |[X -
5= [ ] 2 2 [ } DIl
Y —P1p2 P Y i
dx]” 3 —p1p2 | [dx o
ds* = [ } : { ] = gidx'dy’ surface geodesic

dy -pip2 P} dy ZJ: /

Xp1 + Yp,)?

v, 0(v1)vs = % = dependence

Pi+p;

and for the orthogonal projection we have

\/a% —l—a%\/va(I — Q(v1))v2 = baa; — axby = S = Surface

7.9 Orthogonality

Given the vector v, its set of orthogonal vectors are
w=(I—v() W) =1-0(®)

and
wy = (I —v(v) W v=0

ai
V=
ap
_ 1 @ —aya
w= (=) = | 2 T
aj+a; | —aiay aj

1 a —a
=———|a a
a+a || —a " a

Now at the vector v are associate two orthogonal vectors (columns of w).
The surfaces for the vectors

1k

When

orthogonal to [al} are
az

a a
Sy =det| ' 7 ] = —(a} + @)
a —a

a) ay
Sy = det =d+d
—ay a4
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In fact we have
S = (base)(height) = (\/a% Jra%)\/(fag)z +a} =ad+ad;

The orthogonal vectors are independent from the original vector. The surface
changes when we change the direction of the orthogonal vector. In a graphic way
we have (Fig. 7.16).

Example 7.4
The two orthogonal vectors

ap| _|cos(a) | | —ax| | —sin(a)
a | | sin(a) a; || cos(a)
are the radius vector and tangent vector to a circle (Fig. 7.17).
Given the relationship (segment type in database)

o= ev) +en

B=ev;+en,

We represent them in Fig. 7.18.
And

off = erea(vivy) — e1ea(v3va) = erea(viva — vava)

By the coordinate form we have Fig. 7.19.

The product eje; is a new dimension in the database whose entity value v;vy —
vov3 is a surface type value in the database. So we have three dimensions. This is
motivation for which we denote external graph product analogous to with the
external product in the differential forms that increase the dimension of the space.

Fig. 7.16 Maximum are for A \
orthogonal vectors (ay31) \

\\
(ap,a)

»
>
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Fig. 7.17 Orthogonal vector
as tangent to the cycle

cos(a),sin()

Fig. 7.18 The relationship A V, Vs V,

Fig. 7.19 Product of source A
sink elements or states €

V2

v

V1Vgq — V3V; V3 (53]

The new dimension makes two relationship comparable. When the two relation-
ships are equal, the coordinate e e, assumes value zero. When the relationships are
orthogonal, the new coordinate assumes maximum value. In Fig. 7.20 we show
how to compare two relationships in this way.

When the two relationships are adjacent we have

OCﬂ = 6162(\/1\/4) — 6162(\/2\/2) = 6162(V1V4 — V2V2)
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Fig. 7.20 The comparison of

the two relationships Y
Vi e, e, 3
W
V, eq e, V,

When the two relationship form a loop we have

OC[)) = 6162(\/1\/1) — 6162(\/2\/2) = 6162(V1V1 - V2V2)

7.10 Multidimensional Graph Space

Given one source point in a graph, from it we move to n sinks. In this situation we
have the space

a=-evit+eyytevs+ - eV,
where o is a n bifurcation system. The bifurcation gives us the possibility to

increase input and output of the two dimension into output €; and inputs e; of many
dimensions (Fig. 7.21).

Fig. 7.21 Inputs and outputs
of many dimensions
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€3
Dendrite
Fig. 7.22 Space of multiple sinks
Dendrite Axon

terminal

Node of
Ranvier

nucleus

Fig. 7.23 Many sinks (dendrite) many sources (Axon) in neuron model

We can also represent it in Fig. 7.22 with entity.
Bifurcation system is analogous to neuron system (Fig. 7.23).
We show the external product in three dimensional space, Given the elements

o= e1v) + ey +e3v3
B =evy+evstezvy

Y = e1vz +evs +e3vs
The product by two elements is

oaff = (61\)1 + ey + 63\/3)(611/4 +ervs + 63V6)
= e1e3V1V5 1+ e1e3V Vg + €281 V2Vg + €283V2V4 + €3€1V3V4 + €3€2V3V5
= e1eV|V5 + e1e3VVg — €1€2VVe + €283V — €1€3V3V4 — €2€3V3V5
=ejer(vivs — vave) +ere3(Vive — v3va) +ere3(vavs — v3vs)

Vi 3 Vo Vs
+ eqe3 det + ese3 det
V4o Vg Vi W4

Vi W»
= ejep det
Ve Vs
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l Vi l V2 Vs

—> & €3 e, P e, e € » e, e €

V3

A 4

— & | e | e
' -y

Fig. 7.24 Three dimensional space for sinks and source

& €3 ! >

The e;e; means the join connection of two answers between two different
bifurcations. So e,v, belongs to the first bifurcation and e3v4 belongs to the second
bifurcation. The product of the two is connection of v, as the first answer or e, as a
query through v,, e; and v, as the second answer or e5. Now the same for v; that is
the second answer in the first bifurcation and vs that is the first answer in the second
bifurcation. The two elements are not connected with relationship but are in
entanglement situation or synchronic situation (correlate state). We remark that it is
impossible to consider the repetition of two questions e; or two answers e, or two
answers e;. When we split any entity into three parts we have two parts associated
with the different inputs (or sinks) and one part for the output (or sources). In
Fig. 7.24, we have the two periodic lattice structure.

For three components e, e,, €5 in the bifurcation, e, is the question and e, and e;
are two synchronic or entangled answers. For three dimensions, we have the three
product.

afy = (e1vi + exvs + e3v3)(e1va + eavs +e3v6) (e1v7 + e2vs + e3v9)
Vi V4 vV
=ejezezdet| va vs g

Vi Ve Vo

Figure 7.25. is the image of the external product in the graph theory.
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90
Ny = Te2
(N19 + 722, +71383)7219 + V)8 +V)3e3)(M310) +V35e, +V33e3) -
el
V12
V21 V22 V11 e3
4 vi2v21 )
V21 B3
V32
Vil V33
1 ' Tvil
V32 v2l
w2ov3y | VI3 |
V31
V22 V32
V23
V12 - V32 Vvil
VI2 V31

Fig. 7.25 Straight line model by external product

X y 1
ay= | x |,a= |y |,a3= |1
X2 2 1

(xer +x1e2 +x2e3)(ver +y1e2 +y2e3)(e1 + e +e3)

= (xy)ererer + (x1y)ezerer + (xay)eserer + (xy1)erezer + (x1y1)ezeze

+ (x2y1)ezerer + (xy2)erezer + (x1y2)erezer + (x2y2)eseser + (xy)ereren
+ (x1y)ezerer + (xay)eserer + (xy)ejerer + (x1y1)ererer + (x2y1)ezerer
+ (xy2)ereser + (x1y2)ereser + (xay2)eseser + (xy)ereres + (x1y)erere;

+ (xay)eseres + (xy1)ereres + (x1y1)ezeres + (x2y1)ezeres

+ (xy2) (

xyz)ereses + (x1y2)ezezes + (x2y2)ezezes

ayaaz =

and in a more complete way we have

(xe1 +x1€24+x203)(ver +y1e2+yare3)(e1 +ex+e3)
= (0oy1)ezezer + (x1y2)erese; + (xoy)ezerex + (xy2)erezer + (x1y)ezeq e
+(xy1)ereaes = [—(xay1) + (x1y2) + (x2y) — (xy2) — (x1y) + (xy1)]erezes

ayazas =

x y 1
X1 Y1
=det|{x; y 1 (€1€2€3)Z(x(yl—yz)‘f'Y(xz—xl)'i‘det[x y ])61626320
2 2

Xy 1
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or

x(y1 = y2) +y(a2 —x1) + det[x1 y1} =0
X2 N2

Example for Lie derivative Ly
For special case of the source, sink multi-dimensional space reference we have

o 0,
szxl—f+ +Xn—f=(X161+ e Xae)f
ox; Oxp
o o _
Yf_Yla_x]_f__i_Yna—xn—(Ylel—f— +Ynen)f

X(Yf) = Lx(Yf) = (Xie1 + -+ +Xuen)[(Yier + -+ + Ve )f]
[(Xie1 + -+ +Xpen)(Yieg + - + Vaen)lf +

(Yier+ -+ 4+ Yoen)[(Xie1 + -+ +Xpen)f] = (LxY)f + Y (Xf)
X(Yf) = Y(Xf) = (LxY)f



Chapter 8
A New Interpretation of the Determinant
as Volume and Entropy

Given the projection operator

Ox = ZP(P"zP) 'P'x

where
Xl-
X2
X =
Xn
- T
Pir - Pipn X1 Pt .. Pin X1
P21 .- P2an X2 P21 - P2an X2
2
Voo =det| | ps1 . pin X3 P31 .-+ P3n X3
_pm,l <o DPmn Xm Pm,1 cor Pmn Xm
r 2
ZPM Zpi,l%‘,z Zpi,lxi
1 1 1
2
> Pi1gi2 2P oo Do DinXi
= det 7 [ i
2
> DiiXi dopiaXi ... me
L i i i

When V? is the square of the n level of volume. When n = 0 we have zero order
or point. When n = 1 we have the distance between two points. When n = 2 we
have the surface of two dimensions. When n = 3 we have the volume. When n = 4
we have volume in the four dimensional space. At the level n we have volume in
the n dimensional space.

© Springer International Publishing AG 2017 93
G. Resconi et al., Introduction to Morphogenetic Computing,
Studies in Computational Intelligence 703, DOI 10.1007/978-3-319-57615-2_8



94 8 A New Interpretation of the Determinant as Volume and Entropy
Example 8.1 Given the set of variables or samples

Ai=[pi1 pi2 . Xi]

The entries in the column vector

The volume square matrix is
V2 = ATA = E G(pkvh)x,-xj
i

For the surface of two dimensions, we have

. r
Ay p1ox p1oxi p1ox P X p1oXi
A X X X X Y
A= 20 _ P2 2 7 ATA = p2 2 P2 2 det p2 2 P2 2
Am p” 'xll pn x”l pn xﬂ p'l ‘xn p’l xll
xt ] [p2tps+ - opa —P1P2 e —P1Pn X
e —P1P2 prtpstpn .. —P2Pn X2
Xn —P1DPn —P2DPn EERE 4| +P2 + - *Pn-1 Xn

So the metric for two dimensional surface square value embedded in n dimen-
sion is

p2+p3+ - P —P1D2 —P1Pn
G(p) _ —P1pP2 D1 +P3 + - *Pn .. —P2Pn
—P1Pn —P2Pn .. prEp2E o Pad

And

§* =37,,G(p)x'x’ where S is surface variable embedded in n dimensional
space.

Figure 8.1 shows the movement of surface vector.

Figure 8.2 shows the surface vector rotates as an elicoidal system.

We remember that in Euclidean space we have the one dimension metric in n
dimensional space.
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Fig. 8.1 Volume dynamics

Fig. 8.2 The rotation of the
surface in a circle

A X

A= = , ATA = det Zx%—i-x%—i—-u—i-xﬁ:dZ

Am Xn Xn Xn
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Now we give a new interpretation to the determinant as volume and also
entropy. In fact we have

_Al B ZAIJ_
j Al — 1y
Ay — > Ay Ay —
D= j —
Am - ZAn,j Am - :um
L i i

the covariance matrix X is the matrix whose (i, j) entry is the covariance

Zij = COV(A,',A/')

=D'D
2o (A =)A= ) A =)A= ) D (A — ) (A — 1)

oA =)A= ) DDA — )@ =) D0 (A — ) (A — 1)

= J J J

2 (Ajn = ) (A = 1) 20 (A — ) (A — ) 20 (A — ) (A — )

The inverse of this matrix, 271 is the inverse covariance matrix, also known as
the concentration matrix or precision matrix. Differential entropy and log deter-
minant of the covariance matrix of a multivariate Gaussian distribution have many
applications in coding, communications, signal processing and statistical inference.
We consider in the high dimensional setting optimal estimation of the differential
entropy and the log-determinant of the covariance matrix. We first establish a
central limit theorem for the log determinant of the sample covariance matrix in the
high dimensional setting where the dimension p(n) can grow with the sample size n.
An estimator of the differential entropy and the log determinant is then considered.
We remember that the determinant of the covariant metric is a volume so we can
associate the volume with entropy by log operation.

Proposition For the orthogonal projection we have

2

Vn
xT(I - Q(Plr . 'apﬂ)x = Verl

n

Proof For
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o) =p(r"p) ¥, p=m’ :H

P2

a=[( T- L

_ (o —poxi)”

pi+p; !
but
T
W:Pw Vﬂ=ﬁ+ﬁ
P2 P2
So

V2 = (pixa — paxy)’

Example 8.2

X2

[B0) Tl

T
Pr X1 P1 X1 2 2
det = (D1x) — Dox1)" = V.
<[p2 XJ [pz xz]) (pl 27 b 1) 2

For Fig. 8.3, we can compute the projection operator by volume in the multi-

dimensional space.

(xTx)v2 —v?

n+1

where

Fig. 8.3 The projection
operator can be computed by
volume

V2

n

x"(I-0(p)x=h*

pi+p3=b’
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P pr2 ... X1
P21 p2n ... X2
Vii1 = det(A) = det P31 P ... X3
DPnl DPn2 cee X

where det is the symbol for determinant of a matrix A. When the matrix is a
quadratic matrix we have the simple expression.

pu pi2 ... X1 pun pi2 ... X

5 p21 p2 ... X2 p21 p2 ... X2
Vn+1 = det P31 P ... X3 det P31 P ... X3
Pnl Pn2 --- Xm Pnt DPn2 -+ Xm

When we have a rectangular matrix we have

Vi1 = Z (detA;)’

j
where A; is the quadratic minor of the matrix A. When we compute the quadratic
form x” Q(p)x we can found the matrix of coefficients or projection operator Q(p).

Example 8.3 is for the computation of the projection operator.

P1
A = p2
pP3
quadratic minors of A
AL =p1,A2 =p2,A3 =3
So
Vi = [det(A)] + [det(A,)] + [det(As)]?
=pi+p+p
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o(p) =p(p'p)"'p"
P1 X1 P X1
p=1|p2|, x=|x|, A=|p x
p3 X3 P33 X3

quadratic minors of A

X X X
Alz[m 1]7 A2=|:p1 1}7 A3:[P2 2}

P2 X2 p3 X3 P33 X3
So
= [det(A1)]” + [det(A;)]” + [det(A3)]?
= (p1x2 — P2x1)2 + (p1x3 — pax1)* + (paxs — paxa)”
P1 P11 X1
pi+p}+ 13 P1X1 + paxa +p3x3
det §22) P2 X2 = det 5 ) )
P1X1 + paxs + p3x3 X{+x;+x3
p3 pP3 X3
= (p1x2 — ple) + (p1s — p3x1)’ + (paxs — paxa)’
So we have
_ V2 — V2
Q= p(pTp) s =
_ (P P+ 8+ 83) — (P2 — paxi)’ + (prxs — pan)’ + (p2xs — paxa)’]
P +p3+3
_ (P P3P + 8 +23) — (2 — paxi)’ + (P12 — pan)’ + (p2xs — psxa)’]
Pt +p3+03
_ (P1x1 4 paxa +I73x3)2
P +p}+03
For a direct calculus we have
—1
XOp)x=x"p(p"p) " p'x
T T -1 T
X1 P1 P1 P1 P1 X1
= [ X2 P2 P2 P2 P2 X2
X3 P3 P3 pP3 P3 X3

(pix1 + paxa +paxs)’
pi+p3+p3
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Fig. 8.4 Determinant minor X
image by a cube 5

p, ﬂ
X2
X3 p

N :> & :> P;

ﬁ ﬂ P>

P;

A 4

Remark

Vien _ Vi =V
)CTQ(p)XZ)CTx— VZI _ 3 +1

n

The examples above shows that the project of x can be obtained through volumes
(V,, and V,, 1) which is easier to be computed through determinants. We have
Fig. 8.4.

We compute the volume V,, .| by adding the values of all quadratic minors of
the matrix A together. If vectors are three-dimensional, we have three quadratic

minors.
A = P X Ay = P1ox As = P2 X2
P2 x|’ Py x|’ Py X3’

And a cube is formed with six surfaces, but actually only three components
because each pair of surface is parallel. We get the value of each surface by
calculating its determinant. Since each pair of surface which is parallel has the same
value as opposite direction, the sum of the values of all surfaces should be zero. If
vectors are two-dimensional, we can get two surfaces with opposite directions and

the same value, the sum of the values of all surfaces is also zero.
For the three dimensions we have

P11 q1 X1

-1
0p,q) =pr(®'p)"'P", p=|p @|, x=|xn
pP3 g3 X3
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T T -1 T

X1 10 P11 4q1 P1 q1 Pr q1 P1 q X1
x [ 0 J - ;@ P2 @| |p2 @ P @l | x|V
X P34 p3 3] |ps a3 poaz]| %

pPr 91 X1 ! _Pl q x1
det| |p2 @2 x P @ X
_ pP3 q3 X3 LP3 43 X3 V2
(p1x2 — p2x1)> + (Pix2 — p3x1) + (paxs — p3xa)’ ?
(1 o x ! P1 91 X1
=det| [p2 ¢ x P2 42 X2
LP3 43 X3 pP3 43 X3
Pi+P3+P P +pada+paqs  pixi+paxa +paxs
=det| | pigi+pg2+p3as  GAB+HE axiteotexs | | =V3

| P1X1+pax2 +Pp3xs qiX1 +qaxa +q3x; q+xg+x3

For non orthogonal projection we have the projection.
—1
0(Z,a) = {Zn le} |:a1:| |:a1:|T|:le le} |:a1:| [Gl}T
’ L Iy |la a Ly Zpn]|la a
b V4 Z
w2 2
by 2 In]|lax
T -1 T
0(Z,a) = {Zn le} |:al] |:alj| {Zn le} |:a1:| |:a1:|
’ Ly Iy |la a Ly ZIp]|lar as
—1
b a ’ b aj ’
oza= 2|2 10]) 2] -ewa
by as by a

Figure 8.5 is the geometric image for two dimensional space.

N

(1 — Q(a, b)) [(I — Q(a,b))x] = [AB]®

b"b = [CB)?

[0(a)b]"[Q(a)b] = [CD)?

(1= 0(8))X"[(I — Q(b))A] = [AE]?
And

§* = [CD]*|AB)*= [CBJ*[AE)?
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Fig. 8.5 Area of the triangle A
by oblique projection

L

C S b
And
[AB]’= [Cfgg‘]f]z = [(I - Q(a,b))x]"[(I — O(a,b))x]
Example
[(I — Q(a,b))x]" [(I — Q(a,b))x] )
o - T
T -1 a1’
- (T ) )
X 2 a2 a2 a2 a2
- d‘*([i xi]) (albll—:_azzbg)z =5 (albll—ta;bg)z
where,

2 2
ai+a;

(arby + azby)?

is internal element to the oblique projection operator. Now for the projection
operator property (dependence) we have

emsent_[o) (] () T 2

= [0(a)b]"[0(a)b] = [CD]’
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So for OBLIQUE projection we have

(1 — Q(a,b)x*|(Q(a)b]* = det([ll;; X1])2

X2

Now the bifurcation is a three dimensional element. Two different bifurcations
are given by the two vectors

P1 X1
pP= 1P, X= X2
p3 X3

And

-oATr T A T
xi ] [p1 pi] [ ) p] [«
—1

XT(Q(P))?C: X2 P2 P2 )2) D2 X2
L X3 | LP3 D3 D3 | D3 X3
- - T - -
X1 pi pp2 pips | [x .
_ 2
= | X P1D2 )4 Pap3 B R e —
L pt+p3+p3
L X3 | LPwpP3 P2p3  Pi ] L*X3
N (x1p1 + X2p2 +X3P3)2 _ (XTP)Z
pi+p3+p} p'p
x1T /1 0 o 11"\ [x
Vi -0 = | Y 01 0| —1p2||pr Y. T
z 00 1 | | ps z p1 p1
det| | p2 D2
P3 P3
T
X1 [pl+p3+pi—pt —pip2 —p1p3 X
Y —pip2 pi+pi+pi—p3 —pap3 Y
_ Lz —p1D3 —pap3 pi+pi+pi—pil L Z
i i P +p}+r3 i
_ (Xpa —p1Y)" + (Zp1 — p3X)" + (Zp2 — p3Y)
Pt +p3+ 3

We remark that we can find the projection operator from the determinant.
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T
X X n

52 = det Y 12 Y )2 = (Xp2 —p1Y)2 + (Zpl —p3X)2
Z p3 Z p3
+(Zpy —ps¥)? =D g XX
ij

where the metric g is a parametric metric
P2+ps —pip2 —P1P3

g(p1,p2,p3) = | —pip2 p1+ps  —paps
—p1p3  —p2p3  p2+pi

X1 p1 qi
Volume =det| | x2 pr ¢ = (I — O(p, q)x) | (Surface)*

X3 p3 43

where
T -1 T

P q1 P q P1 qi P1 qi X1
0, 9)x=|p2 @ P2 @ JZ2 ) P2 @ X2
pP3 43 pP3 43 P3 g3 P3 g3 X3

8.1 De Bruijn Graph Evolution by Skew Product

Given the structure (Fig. 8.6)
Network at low level

M =

a b
a 1 1],
b 1 1

1 0 11 + b
V:H }M[ }ez] H:[a(el ) e
0 1 1 1 b be; b(61+6‘2)

Second level

skew ae| +ae aey + bey be| +ae; bey + bey
aey +ae;, (ae; +aey)(aey +aey) (aey +aey)(ae; +bey) (aey +aey)(ber +aey) (aey +aes)(bey + bey)
aey +be, (ae; +bey)(aey +aey) (aey +bey)(ae; +bey) (aey +bey)(bey +aey) (aey +bey)(bey + bey)
bey +ae;, (bey +aey)(aer +aey) (bey + aey)(aey +bey) (bey +aer)(ber +aey) (bey +aes)(bey + bey)
bey +bey (bey +bey)(aey +aey) (bey +bey)(ae; +bey) (bey +bey)(bey +aey)  (bey +bey)(bey + bey)
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(® op) | @ a))

— -.,_\. \ — \" .... D i . /_-\\
) O (0 Cm@E) @G-
4 \ * A >
- _@' - = ]r:-rJ : = @
i /
@
"‘b\-..._. \

Fig. 8.6 Graph evolution

The SKEW PRODUCT gives us the FILTER that separates parts of the graph in
a way to know if two relationships are coupled by a common element (relationships
are adjacent) we can also see if two relationships form a cycle and many other
properties for composition of chains.

skew aey +aey ae| + b62 e| +ae; be| + bey
ae; +ae; (a® —a*)ejes (ab —d*)eje; (a® — ab)eleg (ab — ab)elez
aey +be, (a* — ab)€1€2 (a® — ab e1e; (
bey +ae; (ab—a*)eie; (b
( ) (b

D~

2 _
be| + bey b — ab

In the line graph, there is adjacence to 1 and no adjacence to zero. The line graph
that connects two different relationships has 8 elements generating from the original

4 elements. See

skew ae| +aey ae; +bey, be +aey bey+ bey

ae| +ae; 1 1 0 0
ae| + be, 0 0 1 1
be; + aey 1 1 0 0
be + be, 0 0 1 1
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Fig. 8.7 Other graph evolution system

That is the second generation of the initial graph. Now we can repeat again the
same process and we can have any type of graph evolution. Another example of
evolution is given by Fig. 8.7.

The evolution of the previous graph can be obtained again by the source, sink
skew product space.



Chapter 9
Morphogenetic Computing in Genetic
Algorithms

9.1 Projection Instrument as Formal Sink Source Change
with Invariance

9.1.1 Mophogenetic Transformation

For the multidimensional space S the transformation of vector X in this space is
obtained by a quadratic matrix A. So we have (9.1).

Y=AX (9.1)

where Y is the output, X is the input and A is the system (Fig. 9.1).

The output Y is a dependent variable and X is the independent variable or free
variable. When A is a quadratic non-singular matrix we can change the direction
and Y becomes the independent variable and X the dependent variable. So we have
Fig. 9.2.

Or (9.2).

X =AY (9.2)

The variable Y is an expected output and X is the expected input. For the relation
(9.1) and (9.2) we have the loop (9.3).

Y=AX=AAY]=Y (9.3)

Given the expected input Y we compute the expected input and after we compute
the real Y by AX. In the previous case the initial value of Y is equal to the final Y
by inverse matrix of the system A. Because the system is a quadratic non-singular
matrix the expected output becomes real.

© Springer International Publishing AG 2017 107
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Fig. 9.1 The input and X Y
output on system A I:> A I:>
Fig. 9.2 The reverse of input Y

X
snd cugut ysem —> v T

9.1.2 Inverse Problem in Systems with Different Numbers
of Inputs and Outputs

If A is a rectangular matrix the transformation (9.2) has no meaning. For example,
given

10 Vi
A= 11 y Y=
0 1 y3
We have
1 0 ¥ X1 V1
Ax= |1 1 {1]: xi+x | = | (9-4)
X2
0 1 X2 y3
X V1
Form two inputs x = [xl } we compute the values of three outputs y = | y»
? Y3
In an explicit way we have the system (9.5)
X1 =M
X1 +X2 = (9.5)
X2 =3
We try to solve the system by substitution (9.6).
yi+y3 =y (9.6)

In a graphic way we have Fig. 9.3.

We see that the variables in input disappear and between output variables we
have a condition or constraint. So among the three values of the output, only two
values are free and the third value is not free.

With Eq. (9.1), we try to build the inverse system of (9.1) when matrix A is
rectangular. We move from two dimensions to three dimensions by the up operator A.
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—

Y1

2=y1tys

IM

X3 Y3

Fig. 9.3 Inputs and outputs with different numbers

Because the inverse of A does not exist, we introduce an operator B and
have (9.7).

BA = Identity (9.7)

One of the possible solutions of Eq. (9.7) where B is the unknown operator or
matrix is

B=(ATA)'AT (9.8)
In fact we have
(ATA)'ATA = Identity
And for the vector y as source or input we have

Qy =ABy = A(A"A)"'ATy

when 9.9)
B=A"" '
Oy=y
Y1
For (9.4) and (9.5) system, we begin with y = | y, | as free variable input in
V3

three dimensional space. With the operator AT, we move from three-dimensional
space to two dimensional space.

T

1 0 Y1 Y1

110 +

Aly=11 1] |y {o | 1} y B;JrijATY (9.10)
0 1 y3

The operator AT A is a 2 x 2 dimension. In fact for (9.4) and (9.5) we have
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1 0 1 0 1 0
ATA= 11 1 1 _[é ?] 11 ﬁ ;] (9.11)
0 1 0 1
And
~ 2 17 [+ 112 —17[w+
LR s K e
_l{%’ﬁﬂ’ﬂﬂ’s]_[n]_x
31yi+y2+2y; X
In the end, we have the last passage
Lo 2y +y2+y3
| 2y +y2 + 1
Qy:szg L1 [yi)l-i-yfz-kgj3 2y1 +y2 +y3+y1+y2 +2y3
0 1 yity2+2y;
(9.13)

where we combine the components of the vector y in a way to have the invariant
form (9.5). In fact, the second component of Qy is the sum of the first plus the third.
As a system process we have Fig. 9.4 where we generate a vector Qy from many
types of the vectors y for which the invariant is always true. Figure 9.4 shows the
complete process and the inverse process that we generate a new y or Qy from x
and we come back to x from y, which satisfies the invariant form.

Given the module of the difference between internal and external values in
(9.14).

D= (y—Ax)"(y — Ax) (9.14)
2 3 3
A > yQ — yQ
Up 3
) X 3
(AT A)’ < . A <:::| sozrce
DOWN

Fig. 9.4 Conceptual filter or morpho filter
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Now we choose among all vectors which satisfy invariant form (9.6), the dis-
tance between y and Ax has the minimum. So we have

D= (y—Ax)"(y— Ax) = y"y — y"Ax — (Ax)"y + (Ax)" (Ax) (9.15)

To compute the minimum, we make the derivatives of the previous form

oD r.ox  oxt . oxT . 7. OX
—=—-yA———A —A"Ax A'A— 9.16
8xj 4 8)6] axj y+ 8xj T axj ( )
where
" 0
. 1 T
R —y, 2 10 0]=v
Xj1 0x; 0 Ox;j
L X | L 0
(9.17)
We have
oD
Z_0
8xj
for yTAvj + VJ.TATy = vaATAx+xTATAvj
But because we have the following scalar property.
P=da"b=(a"p)" =b"a (9.18)
The previous expression can be written as follows.
T(AT T AT ] T \T T
V(A7) = [T @y = @)y = Ay,
(9.19)

vi (ATAB) = |:V]T (ATAX)] = (ATAx)"v; = x[ (ATA)"v; = x] (AT A);

We have
yTAvj + v]-TATy = 2vaATy
VJ-TATAx—i—xTATAvj = 2vaATAx
and
ZVJTATy = 2vaATAﬁ
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whose solution is

ATy = ATAx
x = (ATA)'ATy
And
Ax = Qy = A(ATA) ATy (9.20)
By the pseudo-inverse property we can find among all possible vectors there

exists the given invariant vector and the minimal distance between the given or
wanted output y as sources and the internal value with given property.

9.2 Geometric Image of the Pseudo-Inverse

We remark that the operator Q = A(ATA)_IAT is a projection operator for which
(Fig. 9.5)

Q® = A(ATA) 'ATA(ATA) AT = A(ATA) AT = 0 (9.21)
Another possible solution for (9.7) is
Z=(B"A)"'B" (9.22)
And
(BTA)"'BTA = Identity

x = ZAx = (B"A) "' B" (Ax)

. (9.23)
Qy = A(B"A) By
where Qy is an oblique projection operator.

Fig. 9.5 Geometric image of
the projection operator




9.2 Geometric Image of the Pseudo-Inverse
Given the operator A, the pseudo inverse is (9.24)
(BTA)'B"
In fact we have
(BTA)"'BT[A] = Idenity
Now for the previous pseudo inverse we have (9.26)
A(B"A)'BT[AX] = AX
Or better
AGB"A) By = 0y
and

AY)(BA(Y) "By =0(0) y

113

(9.24)

(9.25)

(9.26)

That can be represented by the input and output system (conceptual filter). So we
have a non-linear projection operator where the internal operator is function of the

external input value for which we have (9.27).

AY)(BTA(y) 'BTy = 0(y)y =z

A(2)(B"A(2)) 'BTAG)(B'A()) 'B"y = 0(2)0(y)y

A)(BTAR) BT
Example 9.1 For the two dimensional space we have

0o, [e
Sk

2

V3

- |7z

, A=
1

2

|

(9.27)

The geometric representation of the projection operators is shown in Fig. 9.6.

In Fig. 9.6, orthogonal projection is

A(ATA) 'ATY = @,
Oblique projection is

A(B'A) 'B'Y = @,

The chip figure is shown in Fig. 9.7.
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Fig. 9.6 Geometric image of 4
orthogonal projection and
oblique projection

Another possible solution for (9.7) is
B=(ATZA)'AT, y=7Ax, BZA = (ATZA)'ATZA = Identity ~ (9.28)
And
ZAx = ZA(ATZA) AT (ZAx), Qy = ZA(ATZA)'ATy (9.29)
Morphogenetic-Chip is shown in Fig. 9.8.
So the first projection operator is orthogonal to the N =1 — Q; and the second

N =1 - Q;, is orthogonal to the orthogonal projection Q, into B. The orthogonal
space to A is

Nl= (-0 (9.30)
Universe
2 3 3
g A » Qv |[[_ >l Qy
UP
3
3
2 A
L[ B B C: y
DOWN

Fig. 9.7 The chip figure of Example 9.1
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X 3
|ozA Ax Qy
UP 3
3
2
L @aza) e AT le y
DOWN
Fig. 9.8 Morphogenetic-Chip
In fact we have
AT(I = A(ATA)'AT) = AT — ATA(aTA)"'AT =0 (9.31)

N1 is orthogonal to A and is the null space whose dimension is N — n, where n
is the dimension of the column space A and N is the dimension of the multidi-
mensional space.

Example 9.2 For

_ _ T 2 2
A_[ﬁ, N—I—MAA)A—l_l 1]
2 2 2

In a graphic way we have Fig. 9.9.

Fig. 9.9 The two orthogonal A
vectors of A
A=

v
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9.3 Simple Genetic Algorithm Subject to Constraint
[22, 23, 25, 26, 35]

The GA has been used in many machine-learning contexts, such as evolving
classification rules, evolving neural networks, classifier systems, and automatic
programming. In may of these cases there is no closed-form fitness function; the
evaluation of each individual (or collection of individuals) is obtained by running it
on the particular task being learned. The GA is considered to be successful if an
individual, or collection of individuals has satisfactorily learned the given task. The
lack of a closed-form fitness function in these problems makes it difficult to study
GA performance rigorously. Thus, much of the existing GA theory has been
developed in the context of optimization in which the GA is considered to be
successful if it discovers a single bit string that represents a value yielding an
optimum (or near optimum) of the given function. In this part we create close form
or invariant for fitness functions or for other functions. The first closed form or
constrain is the normalization property for which we have (9.32).

p1+p2+--'+Pn:1 (932)

Other can be average values by (9.33).
() = D pif o) = k 9.33)

Or in a more general form (9.34)

F(piy--5palqiy - qm) =k (9.34)

9.3.1 Genetic Selection Algorithm in Two Dimensional State
Subject to Normalize Constraint

Based on the morphogenetic transformation in mathematical appendix, we can get
the selection of morphogenetic evolution in the following way. Given two states 1
and 0 so we have the state space.

S={1,0}

Now we know that at any state we can associate one probability for which we
have the invariant property or constraint.
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flp1,p2) =p1+p2=1 (9.35)

So for the invariant property we have (9.36)

G_dn A,

= £= = 9.36
dt dt Opy dt Op; ( )
In the special case of Eq. (9.36) we have (9.37).
a2
Df = || |T|=0 (9.37)
dr Jp>
So we have (9.38).
ANk
Df = ddL} L} =0 (9.38)

For the orthogonal vectors we have (9.39).

-1
bl reoo] (111171 17" 17 -1 9.39)
d | 01 1 1] |1 1] 2[-1 1 '
di
The variation of the probability has two possible directions, one is down and the
other is up on the line where the invariant form is (9.40). So we have two systems of

differential equation for which (9.40) is invariant. The two systems of differential
equations are

dpr _ 1 dp _ 1
dr 2 dr 2
{@l’ {@l (9.40)
dt 2 dt )
Whose solutions are (9.41).
1 1
=atltc = —3t+c
pP1 B 2 1 1 ’ pP1 . 3 3 (9.41)
p2=—5t+c P2—§t+c4

In Fig. 9.10, we can see the variation of the probability down from p(t) to Tp(t).
We have the simplex space given of the line where (9.40) is true. Now we begin
with the initial vector p(t) and we move from p(t) to the final vector.

_|Fr 0| |p
w=[5 nlln
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Fig. 9.10 The relation 4 .
between p(t) and p(t + 1) d

\‘ i

p(®)
K
90° Tp()=A
ptp2=1
pt+)=Qp=0K
o +
(1.0)

where T is the Michael Vose transformation for selection in the simple genetic
algorithm. The selection vector or fitness vector is { Fl ] . The operator that moves
2

from p(t) to Tp(t) in the line of probability for which (9.40) is true, is an oblique
projection given by the operator.

A(p(1))(B"A(p(1)))'B"y(1) = Q(p(1)) p(1) = p(r+1) (9.41)

For the very simple example we have
1
o= ]

p-[2] 0= [z 22}

The recursion process with constraint is given by the expression (9.42).

e =T el olEel) [T o)
e (1 (6) + pa (1))

Fap.
W%(Pl(l)—kpz(f))
(9.42)

The expression is the same of the M.D. Vose and J.E. Rowe with the difference
that we use the expression of the oblique projection where the transformation of the
probability is orthogonal to the vector B for which the probability constraint of the
normalization is always true. So the transformation is always subject to normal-
ization constraint in any moment. In fact we can see that for any step we have that
the invariant form or constraint is always true.
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Fipi (1)
pi+p2=1, and p(+1)= [Flpl(ptl,;(%pz([>]7
Fipi(0) + Fapa (1)

Where

Fipi(1) Fapa(t)
Fipi(t) + Fapa(t) — Fipi(t) + Fapa(t)

B= {”, so for the property of the oblique projection any projection or

movement is orthogonal to the vector B as we can see in the differential equations
for the probability constraint in Eq. (9.43).

[2} - [Zs_ﬂ = {” (9.43)

= [naw=[5 S[n] =[] =p=[1]

So the projection of p into the vector A(p) is again p because p belongs to the
vector A(p). So
of
f-l
Fn 1

defines the invariance property as the orthogonality between the velocity vector of p
and B. The vector A(p) is the aim of the oblique projection that starts from p. When
A(p) = p the initial and final value of the projection are the same so any initial value
of the probability is a fixed value in the recursion process. So we have (9.44).

We have

B =

Fipi(t) p
(1) = l“”‘@;fzﬁi”“)] = { P ] = p(0) (9.44)
Fipi(t) + Fapa(1)

where we have the two fixed points

AEUNARE
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Now there are many possible ways which are orthogonal to B. In fact we have
two possible ways to be orthogonal given by the two vectors.

[‘Z”,} 1{ | } [d;,t] 1[_1}
=351 11 ldl =3
G2l b T2 1
In a graph way we have Fig. 9.11.

When F| > F; we have that [pl] = [(1)] is a stable point and [pl} = [O is

P2 P2 1]
an unstable point as we can see by the expression (9.45).

Fipy (1) Fipi (1) F _ i
lFlpl(t;Tszz(t)‘| _ |:p1:| — [FUIl(fiTFﬂ)z(f) _p1‘| — (Flpl(t>+lF2P2<t) 1>p1

Fapa(1) Fapa(1) _ F.
Fipi () + Fapa (1) b2 Fipi(0) + Fapa(n) P2 (Flpl(t)szpz(t) - 1>p2_
(9.45)

In a graphic way we have Fig. 9.12.
The projection of [Fl 0 } {1} = {Fl} = F into the orthogonal vector
0 F2 1 F2
1.
HE

o= [L)([TTA) [T [R5l

Because F| > F, the projection has the same direction of the movement of the
evolution. With the previous projection we can create another constraint in the

Fig. 9.11 Two possible ways
to be orthogonal
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Fig. 9.12 Evolution process
to the best feet values F

initial condition in a way to make a right direction to the evolution to obtain the
maximum of the probability for the maximum value of the fitness function in a
rapid way. So we choose the initial condition with the given rule.

i1 1| F—F,
0) =< = At
P(0) 2[1] T3 [—(Fl—Fz)
Figure 9.13 is the image of the initial condition.

When F; <F, we have that [pl} = [1} is an unstable point and [pl} = {O}
P2 0 P2 1

is a stable point (Fig. 9.14).

Fig. 9.13 The initial 4 (O
condition

(0.5,05)

ds
F1,F2)

v

(1,0)
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Fig. 9.14 Evolution back to
the feet values F

We introduce the same initial condition by projection operator.
L1 1| FI—-F
0)== = At
P(0) 2[1} ) l:_(Fl_FZ)

Because now F| < F, the direction of the initial value of the probability is the
reverse to the previous case so the initial probability constraint controls the
direction of the evolution in a way to be directed to the stable point where we have

the maximum value of the fitness function.
The stability or instability of the fixed points is the function of the position of the

fitness function. For example, given

R

We have the process Fig. 9.15.
For initial condition directed to the stable point we have

o= il -6 VI

We have the evolution (Fig. 9.16).

EN[USI N
—_

EN[SSINES

N (93]
Bl= B
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Fig. 9.15 Probability 15
evolution to the best feet
value in red

(color figure online)

-05
Fig. 9.16 Evolution of the 15
probability when we change
the initial probability values
Ro x
RByx
-05
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9.3.2 Three Dimension Selection Evolution Subject
to the Normalize Constraint

Example 9.3 For n = 3 we have the constraint.

And the evolution subject to constraint is shown in (9.46).

0 5 10 15 25 30
0 k 30,
) 1
l_f
o—\
| | 1 1
0 5 10 15 25 30
0 k 30,
pLr+p2+p3=1
-1
"TF 0 071 pi(0)
0 F, O 1 palt
0 0 F3||1 p3(t
pi(t+1)
pa(t+1)
L pa(t+1)

1
O F, 1
0 F3 1]
Fipi(1)
Fip1(1) + Fipi (1) + Fipi (1)
_ Fapa(1)
T | i)+ Fipi (1) + Fipu(r)
Fz]’z(f;

Fip1(t) + Fip1 () + Fipi (£)

(9.46)
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where the fixed points are

)

p3

=
|
S O =
’E
|
—
I
— o O

)

Given the gradient vector

o
(9571
f=pi+p2+ps, Vf= 0—1],; =
%
Ops

The basis orthogonal vectors to the gradient are obtained by the expression

-1
&b 1 00 1" T B
bl =10 1 0] -1 1 |1 L =3|-1 2 -1
dns 0 0 1 1 -1 -1 2
dt

(9.47)

It can be represented by Fig. 9.17.

The three column vectors are not independent. Only two vectors are indepen-
dent. So we have

2 -1
H=|-1 2 |-
-1 -1
It can be given by Fig. 9.18.

Fig. 9.17 Three possible 4
evolution process of the
probability for three possible 111
best feet values 111
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Fig. 9.18 Two independent
evolution process for the
probability

Given the transformation

F, 0 0 1 Fy
0 F, O 1{=|F
0 0 F; 1 F3

We have the initial direction constraint.

1 1 2 1 2 _1qTrz2 17\ ‘rz2 177
3 3 3 3 3 3 3 3 3 3
_ |1 _ |1 12 _1 2 _1 2 _1 2
p0)=|3|+Ap=|3|+ 3 3 33 33 3 3
1 1 11 11 11 11
3 3 3 3 3 3 3 3 3 3
F 1 2p —1F —1Fy ]
1 3 3 1 3 2 3 3
Fy|At= |+ | - F +3F —1F; | At
1 1 1 2
F3 3 —3F1 —3F2+ 5F3 |
(9.48)

For the eight populations (000), (001), (010), (011), (100), (101), (110), (111),
the initial probabilities are
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1 1 1
‘F2-L.F3-1.P4-Ll.F5-L.F6—L1.F7—1.F8

1

8

126

slo L I.F1-1

520 1 2L Fl+7-F2-1.F3-L.F4—
s30 L 2+ Fl-1 F2+1-F3-1-F4-1
sho | i N 2 Fl—4-F2—L1-F3+ 7 -F4—
$50 : F-Fl—L-F2—}t.F3-1.F4+
s60 i 2+ Fl-L-F2—-}-F3-1.F4—
s70 L F-Fl-L-F2—}-F3-1.F4—
s8¢ 1 2-Fl—t-F2—1.F3-1.F4—

00]— 00— OOI— 00|~ OO|— OO|—

F5—1-F6—1.
Fs—1.F6—1.
F5—4-F6—1
F5—4-F6—1
F5-7.F6+ 1
F5 1. F6+1
‘F5—1-F6—1}

F7f§-
F7—§-
~F7—§-
~F7—§-
~F7—§-
.F ,%.
-F1+1-

F8
F8
F8
F8
F8
F8
F8

-da

The morphogenetic eight behaviors of the probabilities in the ordinates for the

eight populations is shown in Fig. 9.19.

Where only the last population with the maximum fitness assumes the maximum
value of the probability in 20 generations. The fitness vector is

F 3
F 2
F3 2
| Fsal |1
F= Fs| |2
Fe 1
Fy 1
[ Fs ] [4]
2 12
11
1 .....thoo.o
By 09 — =
Mux os —t
Rax q .
ok
R4_k 06 -
Bx 0317,
Rs_x 04
ok o)
u. . b - ..
01 I e
UD'.'- 1 I © 2 90 0 4 o o o
0 5 10 15 »n
0 k cols(R)

Fig. 9.19 Evolution of the probability for 8 fitness values



9.4 Selection, Mutation and Crossover Evolution ... 127

9.4 Selection, Mutation and Crossover Evolution Subject
to the Normalize Constraint and Initial Probability
Constraint

Given the mutation transformations (9.49) (M.D. Vose and J.E. Rowe)

(I—p* (l-pp (-2

(1—wp (1-p) W (I-pu| _y 9.49
-pn (=0 (- (549)
o (I=wp I-pp (1-p)
where
F, 0 0 0
0 F, 0 0]
o o F o F
0 0 0 Fy
And the composition is (9.50).
(-’ (I-pu 1-—pp @2 Fr 0 0 0

pro |[0=mwe =w* @ (Q-pu|[0 F 0 0

) TR T (1-w)” (1=wu||0 0 F 0
L2 (I—-wu A—pu Q—w*lL0 0 0 F
[Fi(1—p)? F(l-pu F(1—mu  Fy?

Fi(1—pwu F(1—p)? Fyu? Fo(1 = pu
Fi(l-pu  Fy?  F(1-p’ Fl-pu
L A R(l-pp FB(l-pp F(1-p)?

(9.50)

So the evolution with the normalization constraint is (9.51).

f=pi+p2+pistps=1
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[pi(t+1) Fi(l—p)® F(l—pp F(1—pp  Fyd pi(1)
pa(t+1) F(l—mu B(1-p? B R —pu| | )
pa(t+1) Fil—mu Py F(1—p)’ Fa(l—mu| | ps3(0)
Lpa(t+1) Fu?  F(—pu F(l—-pp Fil— w1 Lpa()
TR0 -0 RO-pa BO-pu  Fg@ [0\ (177 120
LR —pp BO1-p?  Fy2 F-pp||r0) L p2(0)
L A —pp P B F(l—wpe||ps() L s
1 Fud  B(—pu F(1—mu Fo(l—p)* ] Lps(r) 1] Lpa(r)
(9.51)
And the initial condition is given by the expression (9.52).
L 100 0 11 /11 N’
gt o1 0 0| |1 1 |1 1
d"T’; “ 10 01 0 1 1 1 1
ddﬂ 0 0 0 1 1 1 1 1
t
3 -1 -1 -1
1l-1 3 -1 -1
i1 -1 3 1 (9.52)
-1 -1 -1 3
Given the transformation (9.53)
Fi(l=p? B —wp F(1—pu Fué 1
Fi(l —pu Fa(l = p) Fy? - Fa(l—pwu| |1
Fil—pu Pt F(1-p)” Fa(l—pp| |1
Py B(1-wp F(1-pp F(1-p)" ] [1
Fi(1 = + Fa(1 = g+ F3(1 = )+ Fage
_ Fl(l—,u),u‘l‘Fz(l—,U) +F3,U2+F4(1_/4),u (9.53)

Fi(1 = i+ Fye* + F3(1 = ) + Fa(1 = p)p
Fii? + Fy(1 — wp+ F3(1 — p)p+ Fa(1 — )

We have the projection on the orthogonal independent vectors in a way to
establish a direction constraint on the initial value of the probability.
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0.25 0.25
0 025| 0.25
PR = o025 | T 7 o2s
0.25 0.25
30 1 _1qp3  _1 _1qTr3 1 _1q\ !
2 i i 2 Z i i Z Z
ST T N T D R O T R
n i 3 4 i 3 z i 2 g
_1o_1 o3 |21 1 o3 1 _1 3
i 7 3 i 7 3 Z 7 3
S SR ST I (NS GRS S I N S
i i i i i Z Z Z
3 1 _1qT 2 2
1 i 3| [F( =+ = pu+Fs3(l = pp+ Fap
1 1 | |Fi(l= mu+Fa(l = p)* + Fy + Fo(1 — ) Ar
5 —i a3 | [P = put P 4+ (1 — p)’ + Fa(1 = p)p
-1 —1 —il LA+ R0 - pp+F(1 - wu+Fa(l - p)?

For the cross over transformation we have the probability matrix (9.54) for the
state (00), (01), (10), (11)

rp L1 1q
2 2 4
L o 1 o 1 1 1 1
_ |2 4 _ 2 2
M(00)7l100710®10,
2 4 2 2
(1 0 0 0]
_O%O%_
L1 11 1 1 o 1L
_ |2 4 2| _ 2 2
M(Ol)*olooflo(gll
1 2 2
119 0
2 (9.54)
00 35 4
00 1ol fo 1] [t ]
M(IO): 4 — 2® 2,
s L |31 |30
L3 0 5 0.
[0 0 0 17
00 1 11 Jo 1] fo 1]
_ 4 2| _ 2 2
man=1| o=, e
1 2 2 2
11 1 g ) I i
Ly 2 2 A

They are associated to four isomorphic graphs (Fig. 9.20).
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Fig. 9.20 Cross over graph 1

01
P2

=)
S
N | —
N | —

1 L 1 1
(00) %(2)58 13 11
moo= v h ol =l afeli o]
ool 7L oL 0
1000

So for the children probability to be in the state (00) is (9.55).

1 1 1 1 1
00) = - - - - -
p(00) = pip1 + P2+ 5Py F PP+ 5Pt g pips

1 1 1 1 1
+ —pap1+ —pap3+ —p3p2 = pip1 +pip2 +pip3 + 5P1P4 + 5 P2p3
4 4 4 2 2
(9.55)

When we repeat the similar process for all the four matrices we have the
crossover non-linear transformation of the probability (9.56)

poo(t+1) pi(t+1)
pu(t+1)| | p2(t+1)
po(t+1) | |ps(t+1)
pu(t+1) pa(t+1) (9.56)
Pi(0) +pi(0)p2(1) +pi()ps (1) + 3p1()pa(t) + 3p2(1)p3 (1) '
| PA(0) +pa(t)pi (1) + pa()palt) + 3p2(0)ps (1) + 3o ()palt) | c
| PO +p3(0p1 () +p3(Dpa() + 3p3()pa(6) + 3pi (Dpale) |
P3(0) +pa(0)pa(1) +pa(t)ps (1) + 3pa(0)p1 (1) + 3p2(1)p3 (1)

The morphogenetic evolution process is given by the combination of fitness,
mutation and crossover transformation in this symbolic expression (9.57).
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_f _
plt+1) = s CUSp (1) (9.57)
pi(t) +p1(6)p2(2) + p1(Dp3a () + 5p1(D)palt) + 5p2(t)p3 (1)
Pa(0) +pa(0)p1 (0) + pa()pa(r) + 3p2(p3 (1) + 391 (Dpa(r) | _
p3(0) +p3(Op1 (1) + p3(t)pa(t) + 5p3(0pa(t) + 5p1(1)palr)
P3(1) +pa(O)pa2(1) +pa()p3(1) + 3p4(1)p1 (1) + 3p2()ps (1)

We have the M.D. Vose and J.E. Rowe complex transformation for which we
can give the same genetic evolution process subject to normalized constraint and
also the initial probability constraint.

T=C-U-S

9.5 Beyond the Normalized Constraint

Given the set of invariants averages invariance and normalization.

pitpt - +pp=1
P1F1 +paFr + .' +puFn = (F) (9.58)

pii+pfat - +pafo = (f)

We have the Jacobian

1 F ... fi
P IR U T
1 F, ... f,

And the genetic evolution subject to constraint is (9.59)

pli+1) = Tp()) (I Tp(0)) " (9.59)
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9.6 Conclusion

We applied morphogenetic to genetic algorithm which provides a new method to
address the core issues in GA. Using projection theorem, morphogenetic first gives
the direction of the search which is able to address the convergence problem, and
then, it starts the search for optimal solutions from the global perspective which
would avoid to mistake local optimal solutions for global optimal solutions.



Chapter 10
Neural Morphogenetic Computing
and One Step Method

10.1 One Step Back Propagation to Design
Neural Network

Systems design is the process of defining the architecture, components, modules,
interfaces, and data for a system to satisfy specified requirements [11, 14, 15]. One
step back propagation is a method to design a neural network to satisfy specific
Boolean function in output. This is and was the main problem in a percetron neural
system and in the classical back propagation. In the classical learning process in
neural network we begin with a random values of the parameters and with an
iteration program we compute the neural parameters to learn the wanted Boolean
function. With the learning program the neural network evolve in time to the
wanted goal. Different algorithm have different degrees of evolvability or number of
steps to calculate the parameters to satisfy specific Boolean function. Specific
programs and functions have different degrees of evolvability. We know that with a
given input in the neuron we have Boolean functions where the number of steps
have no limit and the evolvability is zero. Other function can be solved by
parameters in only one step so the evolvability is one. When the evolvability is zero
back propagation in an empirical way adjoin new hidden variables and layers to
solve the Boolean function. Because in back propagation we use the descendent
gradient to control the evolution of the system when the gradient is zero we have a
singularity in the method for which we are trapped in a local minimum. In this case
the system converges to a Boolean that does not satisfy the specific requirements. In
this chapter we suggest a one step method without the evolution process. Given a
set of N inputs to the neuron whose values are one and zero. We have different
evaluations for the inputs. The first type of evaluation gives the basis sets of inputs
or factors where only one input assumes the value one and all the other values zero.
So this basis type of inputs are N and the independent set of inputs or factors. Given
the basis set of N inputs with a superposition operation of different independent set
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of inputs we can generate many other inputs that are dependent from the basis
elements as in the coordinate system of the basis vectors of N dimensions.

We compute the weights of the connections and the hidden units which are not
part of the input or output in one step. We know neural networks classical back
propagation can learn their weights and biases using the gradient descent algorithm
unsupervised and the cost function. In this chapter the one step back propagation uses
pure algebraic methods to compute the neuron parameters where the cost function
and gradient are not useful. We compute again the neuron parameters as in the
classical back-propagation and simpler methods such as the perceptron-convergence
procedure but without convergent procedure with only algebraic one step algorithm.
With the new one step method we can also compute the parameters for associative
memory, Hopfield neural network, Kohonen self organizing maps and pattern
memory. The one step back propagation defines a Boolean vector of 1 and 0 values
as output and a set of Boolean vectors as input. The input set of the vectors are part of
a multidimensional vector space and are the reference that we use in the one step
method. The reference given by the input vectors is in general non orthogonal and the
vectors of the reference are not unitary vectors. In this method we use massive
parallel process where all possible inputs which values are one or zero are given by a
set of vectors in a multidimensional space. Tor two inputs the input space has
dimension 4 for thee input the dimensions space has 8 dimensions and so on. We
remember that the number of Boolean function that we want to implement by neural
network for two inputs are 16, for three inputs are 256 for four inputs are 65,536. The
number of the Boolean function grows up more than the dimension of the space.
Now the designed Boolean function that we want to implement by the neural net-
work is the initial part of the algorithm and back we want to use the input space to
compute the weights and threshold of the neuron. The neuron parameters are com-
puted without a recursive method of approximation but with a simple use of the
vector algebra. At the first the algorithm use a special operator denoted projection
operator that can project the output vector into the vector space of the possible inputs.
Now the values of the general coordinates in the special input space are the weights
of the neuron. Given the weights we can compute the output vector by the weighted
linear combination of the input vectors. The output is a general vector which value
are numbers. To rebuilt the designed output function we compute the threshold value
by the average of the maximum value for output which designed value is zero and the
minimum value of all the values which designed value is one. In many case the
parameters and the threshold cannot compute the designed Boolean function. When
we cannot rebuilt the designed function we introduce new hidden layers in this way.

First this chapter begins with back propagation whose weights and bias are
computed with a new method denoted projection methods or one step method. Then
we compute with the same method the associative memory parameters. Associative
memory is a good example of the rules and data fusion. In the classical associative
memory we use orthonormal property of the input samples. Now we show that this
property is not always necessary. So we move from associative memory to prop-
agators. After the associative memory we study self associative memory as
Hopfield neural network. The unsupervised Kohonen self-organizing maps is
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included in projection method as special cases. Aims or intentions can be repre-
sented by special samples, Boolean functions, images, input vectors or other sys-
tems that we want to implement in the physical model of the brain which is a
special part of the universe where rules can change.

10.2 Supervised Neural Network by Projection Method
[17-19, 21]

Given one neuron with two inputs and one output, shown in Fig. 10.1.
We compute the weights and threshold of the neuron. Given A the input vectors,
w the weights, and Y the desired vector,

0 0 0
1 0 1
A= 0 1 Y= 0}’
1 1 0
we have Eq. (10.1).
Aw =Y (10.1)
or
0 0 0
1 0 Wi _ 1
0 1||{wa| |O
11 0

What we want to solve is to get the weights by the input and desired function Y.
According to the previous equation, we get the weights w by (10.2).

Fig. 10.1 The neuron with
two inputs and one output
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ATAaw = ATy,

w=(ATA) ATy (102)

And
2
w=(ATA) ATy = [_31]
3

With w we can compute the projection QY of Y into the input world A by (10.3).

Aw=A(ATA)'ATY = Qv (10.3)
0 0 0 0 0
oo dvoolTzy 2| || |3
QY =Aw = 0 1 {_%}—g ol =30 =wiA; + WAy = -1
11 1 1 :

(10.4)

For the projection operator the linear combination of the column vectors in
(10.4) assumes the minimal value of difference QY-Y among all possible linear
combinations.

Because the neuron-like neuron can be given biases by introducing an extra
input to each unit which always has a value of 1, the weight 0 on this extra input is
called the bias and is equivalent to a threshold of the opposite sign. To compute the
threshold we use the expression (10.5).

_ min[(QY)Y] + max[(QY)(1 — Y)]

0 10.5
: (105)
In the previous example we have
min[0,2,0,0] — max[0,0, — 1 1] 11 2-4 1 1
0 — ) 3 b b b b 3 ) 3 O 0 ) 3 3 i
2 Fmax(0,0, =331 =57 373
Calling the output y; we can write (10.6).
yj = flZwiXij — 0] (10.6)

Where f is the step function (actually known as the Heviside function) and
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In this situation no hidden neurons are necessary. With projection operator we
find the strength of the connections with the desired output without iteration pro-
cess. Among the eight desired functions Y in (10.7), only

0
1
Y= 1
0
cannot be solved by projection operator.
0 0 0 0 0 0 0 0
0 1 0 0 1 1 0 1
Y - 0 ) 0 ) 1 ’ 0 I 1 ’ 0 I 1 I 1 (107)
0 0 0 1 0 1 1 1
Now,
00 0
1 0 1
A=1lo 1" = |1
1 1 0

This is a XOR Boolean function. We compute QY by the projection operator
(10.8).

)

QY = (A(ATA)'AT)Y = and Q=A(ATA)'AT (10.8)

WY W= W=

So in this case it is impossible to solve the neuron problem.

10.3 Conflict Situation in Supervised Neural Network
with Compensation

In the previous problem we have for A and Y we have for the XOR the matrices.

_— O = O
O = = O
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Where we have only two free variables, and the other are zero or linear com-
binations of the two free variables. In fact we have (10.9).

Aw =
w3

- o = O

0
?{m]: " (10.9)
1

So we can put

And

Aw =

—_— -0 O

— O = O
| —
P
—_

|
D = = O

When we compare with the original Y we have (10.10)

Aw—Y = (10.10)

_— O = O
—_—— O O
S = = O
N O OO

The last value of the difference is 2 and is the contradiction term for which we
cannot solve the neuron problem. In a more simple way we show the contradiction
directly. Given the abstract form of the neuron composition in this form

0 0 0
1 0 w1 wi
0 1 14%) o %)
1 1 wi +wy
For which we have the possible output

0 0
w; — 9 o Yl
wy — 0 o Y2

wi+wy — 0 Yi+Y,+0
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But for the XOR function we have the output ¥ = But this generates the

S = = O

conflict because
(Y1 >0,Y,>0)— (Y1 + 1) >0

And this is in contradiction with the Boolean constraint in XOR function for
which

(1+Y,)+6<0
For Y, 4+ Y, > 0 and 6 > 0 the previous expression is impossible.

So we adjoin a new column with 1 in this point where we have contradiction. In
conclusion with the new input we have the network (10.11).

0 0 0 0
;|1 0 0 |1
A = 01 0 Y = | (10.11)
1 1 1 0
1 |
Where we have three free variables withw = | 1 |,0=0.5, QY = 1 for
-2
0
0 00
0 1 0 . . i
Y = 0 and A = 0 1 with the projection method we have w = | 7 | and the
3
1 1 1
0
_ |13
threshold 0.5, So QY = 1/3
2/3

We can build this neural network (Fig. 10.2).

Fig. 10.2 Weights and bias
for the Boolean function XOR
by the projection method
without cost function and
descendent gradient
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Example For the three inputs neuron we have (10.12).

000 0
100 1
01 0 1
110 0
A=l o0 11-7=1; (10.12)
101 0
01 1 0
11 1] 1]

With three free variables, we assume w to be:

wi 1
w = | Wy =
w3 1
And
0]
0
0
D=Aw-Y = (2)
2
2
_2_

Where D is the difference between Aw and Y. When we adjoin the difference to
the input values A, we have that for (10.13).

[0 0 0 0] 107
1 00 0 1
0100 1
1 10 2 0
A=10 01 ol Y=1; (10.13)
1 01 2 0
01 1 2 0
11 1 2] 1]
1
We have w = (ATA) 'ATYy = } and (10.14)

-1
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0

1

1

QY = A(ATA) 'ATY = (1) (10.14)

0

0

_1_

The previous basis A can be split in this way.

[0 0 0 O] [0 0 0 0 0]
1 000 1 00 0O
0100 01 00O
A 1 102 (1 1 011
|0 01 0/ |OOT1O0O
1 01 2 1 01 1 1
011 2 01 1 11
11 1 1 2] 11 1 1 1 1]

But because the last two columns are equal we can write the new basis in this
way.

—_ O = O = O~ O
—_—_ o O~ = OO
——_ 0 O O O
—_—_—_ 0O = O OO

In (10.15) we have the elements to compute the weights of the neural network.
So

0000 0

1000 1

0100 1

1101 0
A=1g 0 1 ol Y= 1, (10.15)
101 1 0

01 11 0

11 1 1) 1)

The weights and the projection do not change. So we have again the same result.
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"0

1

1 1

We have w = (ATA)'ATy = } and QY = A(ATA)'ATy = (1)

-1 0

0

- 1 -
Now we want to solve by neural network the function.

Y= (10.16)

— = O = O OO

With the projection operator we have
3 1
w=—|1] and 0 = 0.563
811

So we have the result as Fig. 10.3.
We show the neural network parameters in Fig. 10.4.
Now we show another example. For the three input neuron we have

Fig. 10.3 Function Y and function of the projection or QY. We see that the two functions with the
bias are equal
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Fig. 10.4 Neural network with weights and bias for the function 01101001 with projection
method

0 00 0
1 00 0
010 1
1 10 1
A= 00 1l Y= 0 (10.17)
1 0 1 1
0 1 1 0
|1 1 1] | 1]
With projection method we have Fig. 10.5.
0.5
So QY cannot solve the neuron problem with w = [ 0.5],0 =0.5
0
wi
So we must adjoin a new column. Forw = [w, | = | 1| we have
w3 1

(=
L
(™)
=
"
o
-
=
o
L]
(™)
=
(v
o
-
oo

Fig. 10.5 Projection method for the Boolean function 00111010 the QY cannot obtain the wanted
function Y
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D=Aw-Y =

DN === O = O

Where D is the difference between Aw and Y. When we adjoin the difference to
the input values A, we have that for

[0 0 0 0] 0]
1001 0
0100 1
1101 1
A=1o 0 1 1" Y= |o
1 01 1 1
01 1 2 0
11 1 2] 1)

o

0

1 1

We have w = (ATA)'ATY = } and QY = A(ATA)'ATy = (1)

-1 1

0

1

So we solve the neuron problem. Now because the projection operator is a linear
weighted composition of the columns of A, when we split A in two parts the linear
combination cannot change and we can solve the neuron in the same way. So for D
we have the two columns.

(S S RN e = =)
—_ = = = = O = O
—_——_-0 O OO oo

For the property of the projection operator we have the new basis A.
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00000 0
100 10 0
01000 1
11010 1
A=1lo o1 1 07 o
101 10 1
01 1 11 0
1111 1]

The weights and the projection do not change. So we have again the same result.

1
1
We have w = (ATA)'ATY = | 1 |,06=0.5and
—1
—1
"o
0
1
QY = A(ATA) 'ATY = (1)
1
0
1

Now for the two new columns we have

0 0 O 0
1 00 1
01 0 0
1 10 1
A=1o o 1’7 11
1 0 1 1
0 1 1 1
|1 1 1] | 1]
With projection method we have Fig. 10.6.
0.5
So QY cannot solve the neuron problem with w = [ 0.5 |, 0 = 0.25.
0.5

For the second ne column we have
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2 T T T T T T T 2 T T T T T T T
Y ap QY !
0-5 lllllllllllllllllllllllllllllllll B
0 —
-1 1 1 1 1 1 1 1 -1 1 1 I I I I I
[ | 2 3 4 5 6 1 8 0 1 2 3 4 5 6 7 8
k

Fig. 10.6 Projection method for the first new column

[0 0 0] [07]
1 00 0
010 0
1 10 0
A=10 0 1’77 |o
1 01 0
0 1 1 1
|1 1 1] 1]
With projection method we have Fig. 10.7.
-1
So QY cannot solve the neuron problem with w = % 3 1,0=0.5.
3

So we have the network for the Boolean function 00110101 (Fig. 10.8).
So we have the maximum of the stability QY = Y. Now when we reduce the
number of columns we have

Fig. 10.7 Projection method for the second new column
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Fig. 10.8

Fig. 10.9 Solution of the function 00110101 with the projection method with only one new
column. QY is different from Y but with the bias we can have that QY = Y and we solve the
neural network problem

=

I
_— O =R O = O =O0
—— e = O O OO
—_—_ 0 0000 O

—— O O == OO

With the projection method we have Fig. 10.9.
2
4
6
—4

So we have only one neuron but with less stability and less neurons. The neural
network is (Fig. 10.10).

With w = 1 0=0.5.
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Fig. 10.10 Neural network with only new hidden neuron to solve the Boolean function 00110101

10.4 Evolvability and One Step Method
in Neural Network

In the classical learning process in neural network we begin with a random values
of the parameters and with an iteration program we compute the neural parameters
to learn the wanted Boolean function. With the learning program the neural network
evolve in time to the wanted goal. Different algorithms have different degrees of
evolvability or number of steps to calculate the parameters to satisfy specific
Boolean function. We know that with a given input in the neuron we have Boolean
functions where the number of steps have no limit and the evolvability is zero.
Other functions can be solved by parameters in only one step so the evolvability is
one. When the evolvability is zero back propagation in an empirical way adjoins
new hidden variables and layers to solve the Boolean function. Because in back-
propagation we use the descendent gradient to control the evolution of the system
when the gradient is zero we have a singularity in the method for which we are
trapped in a local minimum. In this case the system converges to a Boolean that
does not satisfy to the specific requirements. In this chapter we suggest a one step
method without the evolution process. The neuron has N inputs whose values are
one and zero. The sets of the inputs whose value is one are the subsets of the all
possible inputs to the neurons. The empty set is the input where all the inputs are
equal to zero. The subsets of the inputs with only one element equal to one and all
the others equal to zero are the basic or elements of the input values. All the other
subsets are the union of the basic subsets. Because the number of the subsets for a
set with N elements are 2V this is the number of all possible types of inputs where
any input is a vector of N elements whose value is one or zero. Now we can
transform any Boolean input vector in one integer number and for the number order
0, 1,2, ...,2Y — 1. we can create a matrix A of ordered inputs. At any individual
input we associate a column vector whose dimension is 2" and at any set of inputs
at the same time we associate a row vector with dimension N. The matrix M is a set
non orthogonal column vectors that we denote as the column space. Now given the
vector space of the columns the linear combinations of the column vectors generate
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all the space. Given a specific Boolean vectors V we search the best weights of the
linear combination of the column vectors and by threshold process give back the
specific function V. If we find the weights we find the relation between the inputs to
the specific Boolean function in the neuron. The algorithm of the projection makes
it possible give the result. We can prove that if the projection method can find by
vector calculus the solution of the neuron problem, any previous methods that use
recursion methods can find the same result. The difference is that the projection
method is one step method and all the others are many steps methods. When the
projection method cannot solve the problem that the evolvability assumes the value
zero, we cannot solve the problem in any case and with any method (percetron
problem). As in the classical back propagation we must adjoin hidden layer to solve
the problem, to solve this problem we transform the set of column vector into
integer numbers P obtained by the superposition of the column vectors with the
weights all equal to one. After we subtract from the vector P the vector V, the new
vector D is adjoined to the previous input to obtain N + 1 column vectors. The new
column space includes the vector V as a linear combination of the N + 1 vectors.
Now we split the vector D in a set of vectors with value one and zero. So now the
column space is N + h that solves again the neuron problem. When we delete part
of the new columns we eliminate layers for which we can again solve the neuron
problem with threshold value but with less and less of stability. In conclusion now
with the projection method we compute the layers in back propagation in a way to
transform a non-evolvable system to evolvable with different degree of stability. At
the same time with algebraic one step method we can compute the wanted neural
parameters. We begin with a very simple neural system to show the one step
method.

Aw =Y
ATAw = ATY,
w = (ATA)'ATY
Aw=A(ATA)'ATY = QY

We can show that QY is the projection of Y into the column space of the
rectangular matrix A. Because the neuron-like neuron can be given biases by
introducing an extra input to each unit which always has a value of 1, the weight 0
on this extra input is called the bias and is equivalent to a threshold of the opposite
sign. To compute the threshold we use the expression (10.18).

_ min[(QY)Y] + max[(QY)(1 — Y)]

0
2 (10.18)
Y =f[ZwiXij = 0]

Given the matrix A and the Y as the specific function we take for the weights
w as all equal to one so we have the vector D
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Table 10.1 Neuron input and output vectors

Neuron Neuron Neuron Neuron Neuron

input 1 input 2 input 3 input 4 output
State 0 0 0 0 0 0
State 1 1 0 0 0 1
State 2 0 1 0 0 0
State 3 1 1 0 0 1
State 4 0 0 1 0 0
State 5 1 0 1 0 1
State 6 0 1 1 0 0
State 7 1 1 1 0 1
State 8 0 0 0 1 0
State 9 1 0 0 1 1
State 10 0 1 0 1 0
State 11 1 1 0 1 1
State 12 0 0 1 1 1
State 13 1 0 1 1 0
State 14 0 1 1 1 1
State 15 1 1 1 1 1

D=Aw—-Y

That is the new internal input or layer to adjoin at the matrix A of all the possible
inputs. Table 10.1 shows input and output vectors.

When A is the matrix of the input with four columns and 16 rows and Y is the
assigned output Y, we compute the weights w = [0.65,0.15,0,15,0.15] and the
threshold value is 6 = 0.625. The output values can be compared with the com-
puted values so we have the results (Fig. 10.11).

 I0ANAOM =L pafanf
QRULINIY M

—

|°’".*O
-
»
A

! |
6 0 2 4 6 8 10 12 14 16
k k

Fig. 10.11 Function Y and projection QY. The projection operator cannot generate the same
function Y
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Table 10.2 Neuron input and output and layer D vectors

Neuron Neuron Neuron Neuron Neuron Neuron

input 1 input 2 input 3 input 4 input D output
State 0 0 0 0 0 0 0
State 1 1 0 0 0 0 1
State 2 0 1 0 0 1 0
State 3 1 1 0 0 1 1
State 4 0 0 1 0 1 0
State 5 1 0 1 0 1 1
State 6 0 1 1 0 2 0
State 7 1 1 1 0 2 1
State 8 0 0 0 1 1 0
State 9 1 0 0 1 1 1
State 10 0 1 0 1 2 0
State 11 1 1 0 1 2 1
State 12 0 0 1 1 1 1
State 13 1 0 1 1 3 0
State 14 0 1 1 1 2 1
State 15 1 1 1 1 3 1

We can see that with only Egs. (10.1), (10.2) and (10.3) we can find the assigned
function in the Table 10.1. So we adjoin new inputs to the neuron to solve the
problem. We adjoin a column to the previous table so we have Table 10.2.

For the previous inputs we have Aw = Y where A is the matrix of the five inputs
andw=1[1 1 1 1 —1].Now we can split the input D in three inputs with the
one zero Boolean values. So we have Table 10.3.

The input 5 can be obtained by the inputs 1, 2, 3, 4 with the weights w =
[0.2 045 045 0.45],0 =0.325 the graph is (Fig. 10.12).

The input 6 cannot solve with the inputs 1, 2, 3, 4 but with the expression (10.6)
we see that D = input 7 so we have the inputs 1, 2, 3, 4, 7 for which we have the
weights w =[—0.063 0.542 0.188 0.188 0.417],0 = 0.604 and the result
is (Fig. 10.13).

For the output 7 can solve with the inputs 1, 2, 3, 4 with the weights w =
[0.15 —0.1 0.15 0.15],0 = 0.325 the result is (Fig. 10.14).

For the previous inputs we have Aw = Y where A is the matrix of the five inputs
andw=[1 1 1 1 -1 -1 -—1],0=0.5 (Fig. 10.15).
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Table 10.3 Neuron input and output and D expansion vectors

10 Neural Morphogenetic Computing and One Step Method

Neuron |Neuron |Neuron |Neuron |Neuron |Neuron |Neuron |Neuron
input 1 |input2 |input3 |input4 |input5 |input6 |input7 |output
State 0 0 0 0 0 0 0 0 0
State 1 1 0 0 0 0 0 0 1
State 2 0 1 0 0 1 0 0 0
State 3 1 1 0 0 1 0 0 1
State 4 0 0 1 0 1 0 0 0
State 5 1 0 1 0 1 0 0 1
State 6 0 1 1 0 1 1 0 0
State 7 1 1 1 0 1 1 0 1
State 8 0 0 0 1 1 0 0 0
State 9 1 0 0 1 1 0 0 1
State 10 |0 1 0 1 1 1 0 0
State 11 |1 1 0 1 1 1 0 1
State 12 |0 0 1 1 1 0 0 1
State 13 | 1 0 1 1 1 1 1 0
State 14 |0 1 1 1 1 1 0 1
State 15 |1 1 1 1 1 1 1 1
T ] T I T I
1k i
Yy QYy
05 [ ]
o— [ R B T N
0 2 4 6 8 10 12 14 16 16
k

Fig. 10.12 Comparison from the 5 column and the same computed by 1, 2, 3, 4 inputs

When we eliminate the column 5 and 6 we have the inputs 1, 2, 3, 4, 7 so
—0.875],0 = 0.5 and the

have the results w = [0.781

result is (Fig. 10.16).
The neurons networks are (Figs. 10.17, 10.18 and 10.19).

0.063 0.281

0.281

we
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Fig. 10.13 Comparison from the 6 column and the same computed by 1, 2, 3, 4, 7 inputs
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Fig. 10.14 Comparison from the 7 column and the same computed by 1, 2, 3, 4 inputs
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Fig. 10.15 Output by 1, 2, 3, 4, 6, 7 inputs
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Fig. 10.16 Output by 1, 2, 3, 4, 7 inputs
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Fig. 10.17 Neural network
with the inputs 1, 2, 3, 4,
5,6,7

out
Fig. 10.18 Neural network
with the inputs 1, 2, 3,4, 6,7
out
4
Fig. 10.19 Neural network
with the inputs 1, 2, 3, 4, 7
out

e
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10.5 Associative Memory by One Step Method [5]

At any given point the state of the neural network is given by the activity pattern
produced by input and output vectors. Neurons update their activity values based on
the inputs they receive (over the synapses). Figure 10.20 shows the neural network
with three input vectors and one output vector on the right.

The linear associator is one of the simplest and first studied associative memory
model. Figure 10.21 is the network architecture of the linear associator.

In Fig. 10.21, all the m input units are connected to all the n output units via the
connection weight matrix W = [w;],,«,, where w;; denotes the synaptic strength of
the unidirectional connection from the ith input unit to the jth output unit.

Given the representation X; = [xz1,X12, - - .ka]T, Ve = Vi1, Vias - - .ykn]T, for the
Jjth component y; j=1,2,...n, we have (10.19).

Xkl
Xk2
yig = Wi (k), wi(k), - o Wim (k)] (10.19)
Xkm
(10.25) can be written in the form of (10.20).
Yij = Zwﬁ(k)xk,- (1020)
i=1

Fig. 10.20 The neural
network with neuron-like
and synapse-like
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Fig. 10.21 The network of
the linear associator

Or (10.21)
Y1 W11(k) le(k) Wlm(k) Xk1
X
Yi2 _ W21 (k) sz(k) - Wzm(k) k2 (1021)
Von war (k) wip(k) ... wyn(k) X
It is the connection weight matrix W that stores the g different associated pattern
pairs {(xz, y) | k = 1,2, ..., q}. For every associative pattern k, X; — y;, We have
(10.22).
i = w(k)x¢ (10.22)

Building an associative memory is nothing but constructing the connection
weight matrix W that when an input pattern is presented, the stored pattern asso-
ciated with the input pattern is retrieved. So we call the set of components

W correlation memory matrix M , which can be represented as (10.23).

M= ZQ:WJ (10.23)

— ——
Sowehave ¥ =MX.
The process of constructing the connection weight matrix is called encoding.

During encoding the weight values of the correlation matrix M for a particular
associated pattern pair (xg, y;) are computed as (10.24).

-
W=> x (10.24)

Or it can be also written like (10.25).
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x|
7
—
M=[15,. .5 2| =7X" (10.25)

—

X
— — — o
SoYy =MX =YX X

X
X1 X2 X3 H
. X X X X21
For example, if X = |7 2 B and ¢ = ,
Xnl  Xn2  Xn3 X1
X12 X13
X22 X23 . .
0y = 3 = , X is represented X =[¢, ¢, ¢;]. Since
Xn2 Xn3
—, .
X" X = Identity,
?1
@2 |[@1 @2 @3] = Identity
P3

So we have @;¢; = 1 and ¢;¢; = 0 i # j, which means if the input patterns are
mutually orthogonal, perfect retrieval can happen.

The associative memory is a propagator that propagates the information form
input X to output Y with the rule
Y = WX.

Now given the sample Y; = WX, if Y; = A, X; = B, we have A = WB. Since A
can be written in form (10.26) by one step matrix method

A=A(B'B)"'B'B (10.26)
We have (10.27)
W =A(B"B) 'B" (10.27)

When the input samples B are orthogonal we have (10.28).
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W = AB" (10.28)

This is the classical associative expression.

Example 10.1

yir Y12 X111 X12
A= |ya yn|,B=|x1 x»
Y31 Y32 X31  X32

So we have (10.29) one step matrix method

T -1 T
yir Y12 X111 X12 X111 X12 X11 X12
W=AB'B)'B" = | ys yn X210 X2 X1 X2 X21 X2
Y31 Y32 X311 X32 X31 X32 X311 X32
:WiJ-
(10.29)

The samples in input B define the invariants or rules to be satisfied in the
transformation and the samples in output give us the type of transformation that we

X11  X12 1 1
want to generate. In fact given the inputs B= | x; x| = [2 1|, we have
X31 X32 3 1

the input invariance (10.30).

(X320 —x2) — (x20 —x12) =x30 — 200 +x12 =0

10.30
(x31 —x21) — (21 —x11) =231 — 2001 +x11 =0 ( )

That means the components of the input vectors are in the straight line. Since the
samples are points in the straight line, the output vectors are points in the straight
line.

Now when the output samples are transformations of the inputs as A = Q B, We
have (10.31).

W =QB(B"B)"'B" = QB(B"B)'B’ (10.31)
The parameters W of the associative memory can be written in (10.32).
W =QB(B"B)'BT =QQ (10.32)

Where Q is the projection operator of the vector p into the input space sample B.
In fact we have
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Fig. 10.22 The association g 8 T T T T
of external vector and its
projection
6 .
Yk
BEE — ]
4
Xk
_e_
= .
025, /I | I !

Q =B(B"B) 'B"

0> =B(B"B)"'B'B(B"B) 'B" = Q (1033)
For A = B we have (10.34).
Wy = B(B"B)"'B"y = B(B"B)'B"y (10.34)
1
Fory = | 1 |, We give the association of external vector and its projection as
4

Fig. 10.22. Blue line represents external vector (Xy), and red line is the vector (Yy)
with the straight line property generated by projection operator.

Where the Xy and Yy are associated. They are not equal because the external
vector is not be in agreement with the rules in B that are straight lines.

For A = 2B, we have Fig. 10.23. We also have a red straight line but with the
expansion of the coordinate space (Q = 2).

cos(a) sin(e) O
Example 10.2 f Q = R(o) = | —sin(a) cos(a) 0O | is the rotation operator and
0 0 1
X X2 1
B = X21 X2 | = 2
X310 X3 3

We have (10.35)
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Fig. 10.23 The projection g 8 T T T T
with the expansion of the
coordinate (colour figure
online) 6 -
Yk
=1=1=] - -
4
Xk
+
. -
A | | | |
0 0.5 1 1.5 2
0 k 2.1

W=A(B"B)"'B"=0QQ

- . Tr - T -1 T
COS(OC) SIH(OC) 0 X11 X12 X11 X12 X11 X12 X11 X12
= 7SiI1(OC) COS(O() 0 X21 X22 X21 X22 X21 X22 X21 X22
0 0 1] [x31x3 |31 %32 | X31 %32 X31 X32

q11 912 q13 |
= | —sin(a) cos(a) 0| | g21 22 23
L 0 0 1_ 1 431 432 433 |
[ giicos(o)+qarsin(a)  qiacos(or)+gasin(er)  gi3cos(a)+¢gassin(x)
= | —sin(a)qi1+cos(o)ga1 —sin(o)g12+cos(a)gan —sin(o)qi3+cos()g23
q31 q32 q33

[ cos(a) sin(a) O]

(10.35)

In the associative memory we compute the weights as an operator (memory) that
include invariance. So any association generate in output elements of the same
universe with the same rules or invariance. In digital computer we have passive
memory in brain or morphogenetic computing we have data but also rules. Any
input to the brain is changes in a way to have new data associate to the input with
the internal rule at the memory.

10.6 Hopfield Neural Network and Morphogenetic
Computing as One Step Method [7]

The Hopfield Network (1982) can be represented by Fig. 10.24.
Where we can see that Hopfield neural network is a self or bidirectional (loop) of
neural network. As described above, in the associative memory we have
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Fig. 10.24 Hopfield network

W =rx"
In Hopfield neural network X = Y so we have
W= xx"
Because
X = I'(xx) = field vector
Hopfield Network Basis

I'(xx) = set of field vectors

fields for n neurons (positions x;) and correlations as projection operators for
orthogonal set of fields is (10.36).

(Wit wiz2 ... Wia
W= Wl Wa2 ... Wo,
:rl‘(xl) fZ(xl) Lp(x) ] [Ti(x) Tala L) "
I'(x) k) ... T,(x) () Ta(x T, (x) (10.36)
= | Ti(x) Taxs) ... Tylxs) [(x;) Talx3) T, (x3)
[ Ti() Ta() oo Do) | [TiGa) To() ..o Tp(w)
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We remember that w;; is the connection element or self associative memory.

F(x)) I'(x) o) ... Tylx) "
F(x) M) D) ... Do Wl
Aw= | F(x3) | = |Ti(x) Ta(xs) ... D) ||~
F(x,) () () o) | -7

I (x) I (x) I(x) (10.37)
I (x;) I (x;) I(x2)
=wy | [1(a) | +wa| Ta(xs) | + +wy, | To(x3)

1—‘1 (xn) FQ (xn) 1—‘n (xn)
For the extension of the associative memory we can enlarge the Hopfield model
with a more complex projection operator where X are not orthonormal set of vectors.

w=(ATA)'AF

. (10.38)
F* = A(ATA)™'AF = WF = QF

In conclusion, the novel Hopfield—Like network has the property to be non
Euclidean, memory matrix. Self associative memory is given by general projection
operator where the elementary basis vectors X are dependent on each other and
there is the correlation among the elementary basis fields.

10.7 Kohonen Self Organizing Maps by Morphogenetic
Computing [1-3]

Given the set of points with three dimensions vectors of weights w;; in Fig. 10.25.

The basic principle of the Self-Organizing Map is to adjust these weight vectors
until the map represents a picture of the input data set. The goal of learning in the
Self-Organizing Map is to cause different parts of the network to respond similarly
to certain input patterns. Figure 10.26 shows the principle of input and output in
Self-Organizing Map.

In morphogenetic computing and one step method the similarity between input
vectors X and weights vectors W can be obtained by the projection operator Q.

ow =X(X"x)"'x"w (10.39)

For the orthogonality of the projection operator the QW vectors of weights is at
the minimum of the projection space of the inputs.
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Fig. 10.25 Set of points in Kohonen self organise map with three dimensions weigths

Example 10.3 Given the input vectors

- o o O

1
_ 1 _
X1 = 0 )-xz_
0
0.7 0.1
|02 {07 -
WE= s |27 o3 P T
0.9 0.6
So we have
10 1 01711
ow — 1 0 1 0 1
1o o 0 0 0
0 1 0 1 0
r0.45 0.4 036
049 04 036
o 0 0
109 06 0.63

- o O O

0.32

0.4
0.3

0.63

1 0
1 0
0 0
0 1
0.7
02
~los
0.9
017107
0| |02
0| |05
1 0.9

0.1
0.7
0.3
0.6

0.1
0.7
0.3
0.6

0.32
0.4
0.3
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0.32
0.4
0.3
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SizeX

input vector

Fig. 10.26 The principle of input and output in Self-Organizing Map

The weights

045 0.4 0.36

L _|049 04 036

iZlo 0 o0
09 0.6 0.63

are the most similar weights to the input data given the initial random values.

Example 10.4 The following is the canonical form by projection operator as a
particular case of Kohonen network modeled by morphogenetic computing.
Given the input vectors

1 1 1 1 05 1
1 -1 . 1 -1 05 1

X = 11 and the weights W = 1 + 05 1 =X+D
-1 -1 -1 -1 05 1
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We have the new weights

11 11111\ 'p o197
11 11 11 11
ow =
1 -1 I I (T 1 -1
1 -1 1 1] =1 41 1 -1
11 05 17 1
1 -1 05 1 11
11 [ Tes 1| T 4
1 -1 05 1] 1 -1

The projection operator changes the weights in a way to eliminate the given
translation to be equal to input vectors.

In Fig. 10.27, the input vectors are the black points symmetric to the origin. The
diamond points are non-symmetric and the Kohonen neurons that assume the same
black point position after the projection operator. Now we rotate and translate W to
get Fig. 10.28. The non-symmetric point or neurons assume the same property
(symmetry) of the input vectors but are not equal (similar) to the input symmetric
vectors or points.

After the projection, QW has the same symmetry of the input vector. In con-
clusion, the projection operator is like the self organizing maps that preserves the
form or properties (symmetry) of the input vector. The similarity means the same
morphology in the morphogenetic computing.

Fig. 10.27 The position 3 T T T T
before rotation of W
2 < & -
Xg .1
L ] @ @
Wi 1
&
QW 0 & <& -
<&
® ®
-2 | | | |
-2 -1 0 1 2 3

-2 Xk,0> Wk,0,QWk 0 3



166 10 Neural Morphogenetic Computing and One Step Method

Fig. 10.28 The position after

3 T T T T
rotation of W D
. _
XK1 &
LN ) E [ ] D
Wi 1
O
Qw,, o < & -
S O
[ ) [ )
O
-2 | | | |
=2 -1 0 1 2 3
-2 Xk,0- Wi, 0,.QWy o 3

10.8 Morphogenetic Computing Learning with Noising
to Learn Patterns and Retrieve Patterns

In many cases we have to compute the weights that are orthogonal to the given
input data. In fact for neural associative memory the goal is to design a neural
network capable of memorizing a large set of patterns from a data set X (learning
phase), and recalling them later in presence of noise (recall phase). Each pattern
x = {x1,x2,....,x,} is a vector of length n or a field, our focus is to memorize the
patterns with strong local correlation among the entries. More specially, we divide
the entries of each pattern x into L overlapping subpatterns due to overlaps, a
pattern node can be a member of multiple subpatterns. We denote the ith subpattern

by ¥ = {x’i,xé, . ..,xfli} the Fig. 10.23 gives the example of the pattern and sub

pattern (Fig. 10.29).

The learning process is given by the weight matrix W for which we have the
orthogonal condition (10.40).

Wix =0 (10.40)
The weights w;; is the dual space of the subpatterns system. Now with the

projection operator it is possible to compute these weights with only one step as
shown in (10.41).

W=w;=1I-Xx"x]"'x" (10.41)

In fact we have (10.42)
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Fig. 10.29 Any box is sub
pattern of the wave
interference figure

| AN 5
| D

'] \
..l li.. 4
. fiRN .
..I
a -

WX = (1—Xx[x"x]"'x")x =0 (10.42)
0
Example 10.5 Given the pattern x = } It includes two sub patterns
0
0 0
1 0
1_ 2 _
=l =
0 0
Now the weights are
i 1 [0 0o]/fo 0]7[o o]\ '[o o]’
1 0 1 0 1 0 1 0
W= 1o 1 0 1| [0 1 0 1
0 0 0 0 0 0 0 0

)
S OO =R O OO
I

—_— o oo~k O OO
L

[eleoNeBoloNel =
S oo oo~ OO

To retrieve the sub pattern from the weights W, we compute the inverse process.
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1 000 10 1 01"r1 o1\ 't 0o]” T[o o
¥ — 01 0O B 0 0 0 0 0 0 0 0| |1 O
“ {00 1 0 0 0 0 0 0 0 0 0| |0 1
0 0 0 1 0 1 0 1 0 1 0 1 0 0
Now when we have a pattern with noise given by expression (10.43)
y =x4¢ (10.43)
We can detect the noise because we have (10.44)
Wy = Wx+ We' = We! (10.44)

So we can clean the sub-partner form its noise and retrieve the original pattern x.
The task of a neural associative memory is to retrieve a set of previously memorized
patterns from their noisy versions by using a network of neurons. We show that
with the projection operator we can easily solve the previous problems that are
similar to the Convolutional Neural Associative Memories.

10.9 Conclusion

In this chapter we show that supervised and unsupervised neural network can be
computed by a new model, projection method, that takes care of the invariance or
rules in the samples as parts of special universe. In traditional physical system rules
are modeled by symbolic differential equations that we solve to find the behavior of
elements in the physical universe. Now we know that these differential equations
are very abstract and difficult to find the wanted behavior, and the brain cannot use
differential equations or symbolic expressions as we know in traditional mathe-
matical sense. The brain uses samples that include the universal rules in the implicit
way. With samples we can build associative memory with traditional orthonormal
property or propagator that extends the traditional associative memory. Now the
brain takes sensor input information and associative internal structure that changes
the sensor information in a way to have internal data that satisfy the rules which are
previously learned by samples of input and output (associative memory or memory
with rules). So we think that for digital memory in the computer and associative
memory the former is a passive memory and the latter is an active memory that
changes the data in a way to include the rules of the external universe or envi-
ronment in an implicit way. With extension of the associative memory we include
Hopfield neural network, Kohonen self-organizing maps, pattern recognition and
supervised neuron. For supervised neuron we create a new algorithm by which it is
possible to avoid most of the problems of back propagation. The difference between
the brain and universal physics is that rules in the physical part are fixed and unable
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to be changed, in the brain there are also rules as in the physical universe but we can
control the rules to obtain our aims by projection method that solve possible
contradiction in the implementation of the rules. Solutions is evident in the brain as
expansion with new neurons or by new type of neural network parameters. We see
that we can have different levels of solutions. The first solve completely all possible
contradictions with a maximum number of neurons, the second solve the contra-
diction but with a bias or threshold, the third solve again the contradiction by
threshold but the instability of the system increase. From the first to the last levels
we solve always the contradiction with a reduction of the neurons numbers but
when the number of the neurons decrease we obtain solutions of the same problem
but we increase the instability so the neural network became more and more sen-
sible to the noise.
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