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Preface

The Eighth International Workshop on Meshfree Methods for Partial Differential
Equations was held from September 7 to September 9, 2015, in Bonn, Germany. It
was dedicated to the memory of Ted Belytschko, who passed away in September
2014. Ted Belytschko was one of the leading experts in meshfree methods and co-
organized the workshop series over many years. He is dearly missed.

This workshop series was installed in 2001 to bring together European, American
and Asian researchers working in this exciting field of interdisciplinary research
on a regular basis. To this end, Ivo Babuska, Jiun-Shyan Chen, Michael Griebel,
Antonio Huerta, Wing Kam Liu, Marc Alexander Schweitzer and Harry Yserentant
invited scientist from all over the world to Bonn to strengthen the mathematical
understanding and analysis of meshfree discretizations but also to promote the
exchange of ideas on their implementation and application.

The workshop was again hosted by the Institut fiir Numerische Simulation at
the Rheinische Friedrich-Wilhelms-Universitdt Bonn with the financial support of
the Sonderforschungsbereich 1060 The Mathematics of Emergent Effects and the
Hausdorff Center for Mathematics.

This volume of LNCSE now comprises selected contributions of attendees of
the workshop. The selected papers cover a wide range of topics from applied
mathematics to physics and engineering and even industrial applications which
clearly indicates the maturity meshfree methods have reached in recent years.
Meshfree methods have a diverse and rich mathematical background and their
flexibility renders them particularly interesting for challenging applications in which
classical mesh-based approximation techniques struggle or even fail.

Bonn, Germany Michael Griebel
Bonn, Germany Marc Alexander Schweitzer
October 2016
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A Two-Level Additive Schwarz Domain
Decomposition Preconditioner for a Flat-Top
Partition of Unity Method

Susanne C. Brenner, Christopher B. Davis, and Li-yeng Sung

Abstract We investigate a two-level additive Schwarz domain decomposition
preconditioner for a flat-top partition of unity method. We establish condition
number estimates for the biharmonic problem and present numerical results that
confirm our analysis.

1 Introduction

Let © be a polygonal domain in R? and f € L,(S2). Consider the following model
problem: Find u € H3(£2) such that

a(u,v) = (f,v) for all v in H(Z)(Q) D
where
) 5 2 P*w 0%
,0) = D*w : Dv)dx = d 2
a(w, v) /s;( w v)dx I;/&; o o0 x 2)

and(f,v):/fvdx.
Q
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2 S.C. Brenner et al.

Let V}, be a finite dimensional subspace of Hé(Q). The Ritz-Galerkin method
for (1) is to find u;, € V), such that

a(up,v) = (f,v) YvevV,. 3)

In this paper we will investigate a two-level additive Schwarz domain preconditioner
[8, 30] for the discrete problem (3), where V), is constructed by a flat-top partition
of unity method.

The conditioning of partition of unity methods is an important topic that has
recently received some attention. Stable generalized finite element methods whose
condition numbers are comparable to standard finite element methods are discussed
in [1, 22, 23, 29, 33]. Preconditioners for extended finite element methods have
also been investigated. (See [4, 24, 31] and references therein for a non-exhaustive
list.) The focus of the aforementioned work is on the ill-conditioning of the discrete
problem due to the choice of the enrichment functions. As far as we know, there is
only one paper [14] in the literature where an additive Schwarz preconditioner for
partition of unity methods is treated, and the preconditioner considered there is a
hierarchical multilevel preconditioner.

One of the important features of the partition of unity method is its ability to
generate a smooth approximation space with ease, making it a good candidate
for higher order problems. While there is a substantial literature on domain
decomposition preconditioners for finite element methods for fourth order problems
[6,7,9, 10, 18, 19, 25, 26, 32], to our knowledge domain decomposition precondi-
tioners for the partition of unity method have not been studied. Our goal is to fill
this gap.

The rest of the paper is organized as follows. We present the flat-top partition
of unity method and the additive Schwarz preconditioner in Sects.2 and 3. The
condition number estimates are carried out in Sect. 4, followed by numerical results
in Sect. 5. The paper ends with some concluding remarks in Sect. 6.

2 A Flat-Top Partition of Unity Method

In this section we describe the construction of V}, using a flat-top partition of unity.

2.1 Partition of Unity

First we recall the definition of a W2, partition of unity.

Definition 1 Let A = {Q;}/_, be an open cover of Q satisfying a pointwise overlap
condition

dM e N suchthat card{ilxe Q;} <M VxeQ.
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Let {¢;}"_, be a family of functions in W2_(IR?) satisfying

suppg; C Qi 1<i<n,

Zn:gpizl on 2,

i=1

Cu .
lpilwm, w2y < (diam ;)" 0<m=<2,1=<i=<n,

where C,, are constants. We will refer to {¢;}/_, as a Wgo partition of unity
subordinate to the cover A and the covering sets 2; € A as patches.

We will use a variant of the partition of unity in [11-13, 16, 28] and we
refer the interested reader to these articles for a more thorough description of the
construction. Below we briefly describe our approach for a rectangular domain.
Other domains can be treated in a similar fashion.

We begin by choosing two small positive parameters y; and y», and construct the
domain €2, by enlarging Q2 by a distance of y; in the £x; directions for j = 1 and
2. We then subdivide €2, into congruent rectangles R; for 1 < i < n. The lengths of
the sides of these rectangles are denoted by /; and 4,, which are proportional to y;
and y, respectively. The mesh parameter £ is the maximum of 4; and A;.

The patches €2; are formed by enlarging the rectangles R; by a distance of y;
in the +x; directions for j = 1 and 2. There is a rectangular region in the center
of each §2; denoted by M. The partition of unity function ¢; is a C! piecewise
polynomial function such that ¢; = 1 on QM and smoothly decreases to 0 on 9L;.
The construction of the flat-top partition of unity is illustrated in Fig. 1.

—_— 5 T T LI
‘ ‘ i i i ™7 7 T

! I I I ! O a a
‘ Pt I I I ! o O o
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Fig. 1 The construction of the flat-top partition of unity: €2 is expand to £2,, (lef?); €2, is subdivided
into congruent rectangles (middle); Q1 are the dark shaded regions (right)
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2.2 Generalized Finite Element Space

Let V; be a subspace of the tensor product Lagrange finite element space Q, defined
on ; whose members satisfy the homogeneous Dirichlet conditions on d€2. The
interpolation nodes for V; are placed inside the flat-top region Q?at. The generalized
finite element space V), C V is given by

Vi = Z @iVi.
i=1

The interpolation operator IT, : C(Q2) — Vj, is defined by
M =Y (Mg, “)
i=1

where TII; is the local nodal interpolation operator for V;. The following interpolation
error estimate can be established by combining standard interpolation error esti-
mates for the Q, finite element and the estimates for the partition of unity functions
01, ...,y (cf. [27, 28] for details):

2
> K" — ylgng) < Ch'olw@)  Yv e H(Q) and 2<s<3. (5)

m=0

2.3 Discretization Error Estimate and Conditioning

According to elliptic regularity theory [5, 15, 21] for polygonal domains, we know
that u € H?T*(Q), where the index of elliptic regularity o depends only on the
angles at the corners of Q. If Q is convex, we can take o to be 1, otherwise o
belongs to (1/2, 1). It follows from (5) that

| — upl 20y = vig‘f, lu— vl < lu— Ml ) < Ch*|ulpteq).- (6)

Let V;, be the dual of V}, (-, -) be the canonical bilinear form on V,/l X Vj, and the
linear operator A, : Vj, — V; be defined by

(Apw,v) = a(w,v) VY w,v eV, @)
We can then rewrite (3) as

Apx = fp, ®)
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where f;, € V, is defined by

(fh,v):/fvdx Yv eV,
Q

It can be shown that the condition number of A, satisfies
K(Ar) ~ O™, ©9)

which is similar to the condition number for standard finite element methods.

3 A Two-Level Additive Schwarz Preconditioner

The two-level additive Schwarz preconditioner was introduced by Dryja and
Widlund in [17]. It involves a coarse problem and local problems.

3.1 Coarse Problem

Let Vy C V be the generalized finite element space associated with a coarse mesh
with mesh parameter H. We assume there are J coarse patches Q5 (1 < j < J)in
the construction of Vj.

The coarse space Vj is connected to V;, by the operator [y : Vo —> V, which is
the restriction of the interpolation operator IT; to Vj. The operator Ag : Vo — V(/)
is then given by

(Agw, v) = a(lyw, Iyv) Yw,v € V. (10)

3.2 Local Problems

The overlapping subdomains ij of Q2 are obtained by enlarging the coarse patch
Q; (1 <j < J)bythe amount of §;(> 0) in the £x; directions for j = 1 and 2. This
means that the overlap of the subdomains is given by § = max{8; + y1 4,2 + v2.u}-
By adjusting d; and y; i, we can align 852‘; with the boundaries of the patches for V),
and also control the overlap among the subdomains.

The local space V; C V}, is taken to be

ij{vEVh:v:OOHQ\Qj}

and it is connected to V;, by the natural injection [; : V; —> V..
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The operator A; : V; —> Vl/ is given by

(Aw,v) = a(w,v) Yw,v eV, (11

3.3 The Preconditioner

The two-level additive Schwarz preconditioner is defined by

J

Br= 147l
Jj=0

where the transpose operator / IT 2V, — Vz/ is given by

(I]-Tu,v) = (u, Ijv) VYuev,veV,.

Since V, = Zf:o I;V;, the operator By, is symmetric positive definite and we

have the following characterizations of the maximum and minimum eigenvalues of
B Ay, (cf. [8, Theorem 7.1.20]).

Apv, v
Ao By =max ) (12
l:;#g mln'):Z}’:OIj”j Zj=0<Ajvj’ vj)
v;E€V;
. Apv, v
Ain(BriAr) = min Awv. v) (13)

- J
2}67281 min,_y/ > i=o{Ajvj, v;)

=0ljvj
v EV;

4 Condition Number Estimates

To avoid the proliferation of constants, we will use the notation A < B (or B 2 A) to
represent the inequality A < (constant)B, where the positive constant is independent
of h, H, § and J. The notation A ~ B is equivalentto A < Band A > B.

4.1 Estimate for Ayax(BriApR)

The following lemma will lead to an upper bound for A« (BrrAp).
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Lemmal Letv; € V;for0 < j < Jandv = Z{:o Lv;. Then the following
estimate holds : ‘

J
(A, v) £ (A, ). (14)

Jj=0

Proof Since I; for 1 < j < J are natural injections, we derive from (2), (7) and (10)

J J
(Apv,v) = / DZ(ZIJ-UJ-) :DZ(ZIkvk) dx
@ j=0 k=0
J J
< 2/ |D210vo|2dx+2/ Dz(ZIjvj) ;Dz(ZIkvk) dx
Q Q —

j=1

J
= 2(Agvo, vo) + 2 Z / D?v; : D*v; dx. (15)
jk=178

Let the constant ¢jx (1 < j, k < J) be defined by

1 it Q;NQ #9,
C; =
7 0 otherwise.

Note that ¢j; = cy.
Let N be the maximum number of subdomains that can have nonempty intersec-
tion with a subdomain. Then we have

J
YGu<N  for 1<j<J
k=1

and hence, in view of (11),

J J
Z / (Dzvj : D*vy) dx = Z cj,k/ (Dzvj : D*vy) dx
Q Q

jk=1 jk=1
J
= Z CiulVil @)l Vil )
jk=1
J J 1

1
2 2 2 2
= ( > Cfsk|”f|H2<sz>) ( > CMW'HZ(Q))

Jjk=1 Jjk=1
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J J
2
= Iling) D cix
j=1 k=1

J J
SN [vilipg =N (A v). (16)
j=1 j=1
The estimate (14) follows by combining (15) and (16). O

Combining (12) and (14), we have an upper bound for the eigenvalues of By A, :

/\max (BTLAh) S 1. (17)

4.2 Estimate for Ayin(BrrAR)

The following lemma will lead to a lower bound for A, (B7z.Ap).

Lemma 2 Given any v € V), there exists a decomposition

J
v=" Ly (18)
=0
where v; € V; for 1 <j < Jand
J H 3
> Ay S |1+ 5 ) (w0, (19)
=0

Proof 1Tt follows from (5) (with s = 2) that

1
D B = Ml + WMol S Plvleg) Yo e HA(Q).  (20)
k=0

Similarly, we have

1
> Hv — Myvlgg) + HMpvlpeg) S Hvlpg) Vv e HA(Q), @21
k=0

where I1j is the analog of IT, for V.
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Letvy = Myv € Vo, w = v—Iyvg = v—TI1,vg and v; = I1,(6;w), where {6?]-}]1=1
isa Wgo partition of unity subordinate to the overlapping subdomains Q ; such that

0l @2y S8 for 0<k<2. (22)

It is easy to check that v; € V; for 0 < j < J and (18) holds.
In view of (2), (7), (10), (20) and (21), we have

(Aovo, vo) = |1000|12L12(Q) = |HhU0|?.12(Q)
< 1volipcq (23)
= |HHU|§12(Q) < |v|12qz(9) = (Apv,v).
Next we consider
(A, v)) = |vj|§12(ﬁ) = [TL(Gw)l7pq)
for 1 <j < J.In view of (20), we have
2
(Ajvja vj) 5 |9jW|H2(Q)

< / (w)?|D*6;|* dx + / |DO;|*|Dw|* dx (24)
Q; Q2
+ / (6)%|D*w|* dx
Q;

and it only remains to estimate the three terms on the right-hand side of (24).
Observe that (20) and (21) imply

Wllio@ = llv — Havoll, @)
= v = ol + v — Mavllne)
+ (v = Myv) — (v — Opv) [y @) (25)
S Pl + H v ) + 1v — Dgvlpg)
< H2|U|H2(Q),

and similarly

Wl < HV w2 ), (26)

Wl < [vlp2g)- 27
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It follows from (22) that

/ (D6, PIDWI? d 5 57wl g (28)
[ @ Il (29)
J

Note that D?6; vanishes except on a strip near aQ ; with width & §. Therefore it
follows from (22) and [6, Lemma 8.1] that

H 3
[origacs (o, )0, + (5 ) Wi (0)
'J

Combining (2), (7), (24), (25) and (28)—(30), we find

J
ZAUI’UJ (SSH)Z” ”L (Q) (82)Z|W|H1(Q)
j=1

(1 2 1 2 HY |
< (53H)||w||L2<m v (gz)lwlm |4 (5) o
H 3 H 3
< [1 (%) ]wﬁmm : [1 +(%) }(Ahv,v» a1

The estimate (19) follows from (23) and (31) ]

Combining (13) and (19), we have a lower bound for the eigenvalues of By A, :

;-1
Amin(BrLAR) 2 |:1 + (I;) :| . (32)

4.3 Estimate for k (BriAp)

Putting (17) and (32) together, we have the following result on the condition number
of the preconditioned system.
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Theorem 1 There exists a constant C independent of h, H, § and J such that

_ /\max(BTLAh) H :
K(BTLAh) N Amin(BTLAh) S C|:1 * (8) :|

5 Numerical Results

We have applied the two-level Schwarz preconditioner to the model problem on
the unit square and an L-shaped domain. The numerical results presented here
were obtained using PETSc [2, 3] and Supermike II, one of the high performance
supercomputers at the Louisiana State University.

Throughout these numerical examples we will use the following notation:

— k, the estimated condition number of the preconditioned system

— its, the number of iterations until the relative residual falls below 107°

— fsolve, amount of (wall) time, in seconds, required to solve the preconditioned
system

— H, the maximum width of the coarse mesh

— &, the amount of overlap among the overlapping subdomains

— h, the maximum width of the fine mesh

— |len]lenergy, the error in energy norm given by |uj, — mju| ()

We run two numerical experiments for each domain to observe the scalability.
The first experiment, the case of small overlap, measures strong scalability. This is
carried out by keeping the amount of overlap among the subdomains fixed and small,
and then refining the coarse mesh. The second experiment, the case of generous
overlap, measures weak scalability. This is carried out by keeping the quantity H/§
bounded, and then refining the fine mesh.

The local and coarse problems are solved by using a Cholesky factorization (on
their own processors) and the global problem is solved using the preconditioned
conjugate gradient method.

5.1 Results for the Unit Square
Let Q be the unit square (—0.5, 0.5)%. We take the exact solution to be
35 2 5
u(x) = 5 (7 —0.25)%(x3 — 0.25)°.

The generalized finite element space V}, is constructed through a flat-top partition
unity with a background uniform mesh. An example of a fine mesh, a coarse mesh,
and typical overlapping subdomains are shown in Fig. 2.
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Fig. 2 A coarse mesh (left), a fine mesh (middle) and overlapping subdomains (right) for the unit
square

Table 1 Small overlap results for the unit square

Nsub H K Rate Its tsolve
4 6.0000x 107! 9.1306x107° - 1498 3.8989x 1013
16 2.7273%x107! 6.5953%1015 3.33 1409 5.5002x 10712
64 1.3043x10~! 7.4148x10T4 2.96 400 4.2519x101!
256 6.3830%1072 1.0755%x 1014 2.70 165 7.5584x1010
1024 3.1579%x 1072 1.4248x10713 2.87 63 4.2420x1010

5.1.1 Small Overlap

In the case of small overlap, the number of fine elements is fixed so that 7 ~
3.9113 x 1073, The amount of overlap among the subdomains is also fixed so that
§ ~ 6.5189 x 1074,

The numerical results are presented in Table 1. We observe that

K (BriAy) ~ (H/8)™

where the rate is roughly 3, which agrees with Theorem 1. The scalability of the
algorithm is also evidenced by the data in the last column.

5.1.2 Generous Overlap

In the case of generous overlap, the total number of subdomains is kept fixed (ngy, =
64) so that H = 1.3043 x 10!, The fine mesh is then refined in such a way that
H/§ <3.

The numerical results are presented in Table 2. We observe that «(B7 Aj)
is uniformly bounded, which agrees with Theorem 1. We also observe O(h)
convergence in the energy error, which agrees with the estimate (6).
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Table 2 Generous overlap results for the unit square

h K Its Isolve ”eh ”energy Rate
3.1579%x1072 3.6247x1071! 23 4.6185x107! 5.6660x102 -

1.5707x102 3.1383x107! 23 9.2236x10~! 2.6070x1072 1.11
7.8329%1073 2.7025x107t! 21 5.8779x101° 1.2454x10™2 1.06
3.9113x1073 2.5732x10%t! 21 7.6505x107F! 6.0795%x1073 1.03
1.9544x1073 2.4748x1071! 21 1.1662x10713 3.0027x1073 1.01

5.2 An L-Shaped Domain

Let Q be the L-shaped domain (—0.5,0.5)% \ [0, 0.5]>. The exact solution u of the
biharmonic problem is given by

u = (r* cos*(0) — 0.25)%(* sin*(0) — 0.25)%r' Tg(8),

where the polar coordinate system (r, 8) is centered at the origin so that 6 = 0
corresponds to the positive y—axis and § = 3m/2 corresponds to the positive
x—axis, and the function g (cf. [20, pp. 107-108]) is given by
8(0) = [cos((@ — Dw) — cos((a + Dw)]
X [(@ + 1) sin((a — 1)0) — (@ — 1) sin(« + 1)6)]
— [cos((@ — 1)8) — cos((ax + 1)6)]
X [(@ + 1) sin((a — 1)w) — (@ — 1) sin(x + 1)w)] .

Here w = 37 /2 is the angle of the reentrant corner and
o A 0.544483736782464 (33)

is the index of elliptic regularity.

The generalized finite element space V), is constructed using a background mesh
of quasi-uniform rectangles such that the reentrant corner is inside one of the
rectangles. An example of a fine mesh, a coarse mesh, and typical overlapping
subdomains are shown in Fig. 3.

5.2.1 Small Overlap

In the case of small overlap, the number of fine elements is fixed so that 7 ~
3.9164 x 1073, The amount of overlap between the subdomains is also fixed so
that § ~ 6.5104 x 107*.
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Fig. 3 A coarse mesh (left), a fine mesh (middle) and overlapping subdomains (right) for the
L-shaped domain

Table 3 Small overlap results for the L-shaped domain

Nsup H K Rate Its tolve
3 6.6667x107! 8.8975x10° - 1974 4.5449%x10713
12 2.9167x107! 5.5286x1016 0.58 4816 1.5500%x 1013
48 1.3542x107! 1.0507x 1016 2.16 1587 1.3981x1012
192 6.5104x1072 1.3655x101 2.79 529 1.8855x107F!
768 3.1901x1072 1.4414x101 3.15 199 9.8830x 1010
Table 4 Generous overlap results for the L-shaped domain
h K Its Tsolve llen llenerey Rate
3.1901x1072 9.5077x1071! 46 6.4991x10~! 3.1239x1073 -
1.5788x1072 1.1376x1012 47 1.2841x1010 2.0686x103 0.59
7.8532x1073 1.2383x1012 41 6.8940x 1010 1.3966x1073 0.56
3.9164x1073 1.2052x10712 37 8.0453x107! 9.5070x10~* 0.55
1.9557x1073 1.2187x1012 37 1.1779%x 1013 6.4955x10~* 0.55

The numerical results are presented in Table 3. Again we observe that
K (BrAn) ~ (H/8).

The scalability of the algorithm is also supported by the data in the last column.

5.2.2 Generous Overlap

In the case of generous overlap, the total number of subdomains is kept fixed (g, =
48) so that H = 1.3542 x 10~". The fine mesh is then refined in such a way that
H/§ < 3.

The numerical results in Table 4 show that k(B A;) is uniformly bounded as
predicted by Theorem 1, and that the energy error is O(h%>°) as predicted by (6)
and (33).
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6 Concluding Remarks

We have extended the classical results for two-level additive Schwarz precondition-
ers to a flat-top partition of unity method for the biharmonic problem.

In the case of nonconvex domains, optimal convergence for the partition of
unity method can be restored by including known corner singularities in the local
approximation spaces. The preconditioner developed in this paper is also relevant
for such methods.

The extension of the results in this paper to partition of unity methods for
variational inequalities [11-13] and to partition of unity methods for sixth order
problems are ongoing projects.
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Extraction of Fragments and Waves After
Impact Damage in Particle-Based Simulations

Patrick Diehl, Michael BuBler, Dirk Pfliiger, Steffen Frey, Thomas Ertl,
Filip Sadlo, and Marc Alexander Schweitzer

Abstract The analysis of simulation results and the verification against exper-
imental data is essential to develop and interpret simulation models for impact
damage. We present two visualization techniques to post-process particle-based
simulation data, and we highlight new aspects for the quantitative comparison with
experimental data. As the underlying simulation model we consider the particle
method Peridynamics, a non-local generalization of continuum mechanics. The
first analysis technique is an extended component labeling algorithm to extract the
fragment size and the corresponding histograms. The distribution of the fragment
size can be obtained by real-world experiments as demonstrated in Schram and
Meyer (Simulating the formation and evolution of behind armor debris fields. ARL-
RP 109, U.S. Army Research Laboratory, 2005), Vogler et al. (Int J Impact Eng
29:735-746, 2003). The second approach focuses on the visualization of the stress
after an impact. Here, the particle-based data is re-sampled and rendered with
standard volume rendering techniques to address the interference pattern of the
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stress wave after reflection at the boundary. For the extraction and visual analysis,
we used the widely-used Stanford bunny as a complex geometry. For a quantitative
study with a simple geometry, the edge-on impact experiment (Schradin, Scripts
German Acad Aeronaut Res 40:21-68, 1939; Strassburger, Int J Appl Ceram
Technol 1:1:235-242,2004; Kawai et al., Procedia Eng 103:287-293, 2015) can be
applied. With these new visualization approaches, new insights for the quantitative
comparison of fragmentation and wave propagation become intuitively accessible.

1 Introduction

Peridynamics is a generalization of traditional continuum mechanics. It is a
particle-based approach and targeted towards the modeling of fractures and similar
phenomena. The fundamental equations are integral equations. Damage is modeled
by a force function that acts between two particles each.

Using peridynamic simulations, a vast range of materials with different prop-
erties, from polymethyl methacrylate to titanium alloy can be simulated [5].
The results significantly depend on the models and numerical schemes that are
employed. Different models for bonds, time integration schemes and the summation
of forces between particles are employed. Furthermore, several parameters such as
the interaction horizon of particles can be tuned.

To study a certain material, the simulation results have to be validated and
verified [3]. However, this is not a trivial task in itself. A common experimental
benchmark is the Kalthoff-Winkler experiment [7], which was studied in [18, 23].
First, and where available or possible, simulation results can be verified against
experiments [1, 2, 4]. Second, and much more frequent in the literature, met-
rics obtained in the simulation are compared against analytic results [11]—once
again, only where possible—or against simulation results using different modeling
approaches. It is obvious that characteristic numbers that can be measured by
experiments cannot necessarily be obtained by analytic equations and vice versa.

Simulations, in contrast, have the advantage that metrics for both worlds can
be obtained. Of course, this poses extra challenges. It is easy to obtain the size of
fragments in scattering scenarios; characterizing their shapes requires significantly
more effort. And the extraction of continuous measures such as the speed of stress
propagation in a discrete and three-dimensional simulation world requires good
interpolation techniques and careful analysis.

To provide a first, fast validation to simulation results, instructive visual feedback
is more than helpful. A typical approach to quickly examine the effect of changes in
the model or its parameters is to plot the particles and to color them depending
on the local damage, for example. While this gives a quick impression on the
damage behavior, it is restricted to the surface. It neither shows where a crack
penetrates through the whole material, nor provides insight into what happens
within the material. This basic visualization approach is already sufficient to study
crack branching or the velocity at the crack tip, as demonstrated in the experiments
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in [9, 21]. For complex structures and other metrics, more advanced techniques are
required.

In this work, we have developed and adapted methods to analyze impact damage
in particle-based simulations [10, 12, 15]. Furthermore, we show their illustrative
visualization and demonstrate its instructive power. This is a major step towards the
future verification and validation of our models. We have focused on the analysis of
fragmentation via fragment analysis and on impact damage via the propagation of
stress waves.

1.1 Fragmentation

An important validation for particle-based methods is the identification of fragments
after impacts, like a stone impacting the front window of a car. Here the size
of the fragments is an important metric to estimate the medical harm to the
occupants. Obtaining the relevant quantities, such as the size, mass and velocity
of each fragment is still difficult in experiments. The experiment [26] provides a
distribution for the number of fragments with respect to the fragment mass. The
setup is a tungsten-alloy projectile perforating a steel armor plate with a velocity of
1020m s~!. This experimental data is used as a benchmark for the smoothed particle
hydrodynamics (SPH) model in [29] and for a Lagrangian approach in [17]. Another
experiment covered in the literature is the fragmentation of a cylindrical steel tube
using a gas gun impact with the velocity of 1920ms™' [28]. This experimental
data is used as a benchmark for SPH [13]. All of these benchmarks show that
fragmentation obtained by the simulations are qualitatively reasonable, but that the
quantitative modeling of the material needs some improvement.

1.2 Impact Damage and Wave Propagation

For the safety of crashes with electric/hybrid cars, the impact damage in the ceramic
core of the battery is essential. A common benchmark for the impact damage and
wave propagation in ceramic material is the edge-on impact (EOI) experiment [8, 20,
27], which was developed in the 1980s for the visualization of impact damage and
wave propagation. Different particle-based material models were verified against
this experiment [2, 19]. Here, the reflection and interference of the impact shock
wave is of high importance to understand where the damage in the ceramic core
occurs.

In the remainder, we will first describe peridynamics in Sect.2 and our visual-
ization approaches in Sect. 3. In Sect. 4 we introduce experiments and explain their
(visual) analysis. Finally, Sect. 5 concludes the work.
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2 Peridynamics

As a reference particle-based method we consider peridynamics (PD), which is a
non-local generalization of continuum mechanics, with a focus on discontinuous
solutions as they arise in fracture mechanics. In this section, we present the essential
ingredients that are important for the visualization techniques. The principle of
this theory is that particles interact with other particles at a finite horizon § by
exchanging forces. This is very similar to SPH and MD approaches. The bond-
based peridynamics equation of motion [22] for the acceleration at time ¢ is given
by the integral equation

0(X)A(t,X) = / Ft,x(t,X) —x(t,X), X — X)dX' + b(t,X), (1)
Bs(X)

with the mass density o(X), f as the pair-wise force function which models the
interaction of particles X and X’ with respect to the initial reference configuration
Qp, and with b(t,X) denoting the external force. The internal forces between
particles are exchanged within the finite interaction zone Bs(X), see Fig. 1. As the
constitutive law we use the Prototype Brittle Microelastic (PMB) material law [24]
and for the simulations we use LAMMPS [16]. The bond-based PD, where a bond
between two particles X and X’ responds independently of all other bonds inside the
interaction zone B;(X), implies that the Poisson ratio of the isotropic linear elastic
solid is restricted to v = 1/4 for 3D and !/3 for 2D. Within the state-based PD,
all other bonds connected to the endpoints of particle X influence the stretch and
thus, any material, which is described by the classical continuum mechanic, can be

Fig. 1 The reference Qo
configuration €2 at time
.t =0 w.1th the finite o o o ° ° ° °
interaction zone of length §
for particle at position X. All
particle inside the interaction o o o~ 0 ™~9 BO e
zone Bs(X) of particle X are é )
connected with bonds to
o o o o o o
exchange forces
o o [e] o [¢) [¢]
X
o o o o o (¢] o
o o o~N_o |-0° o o
o o o o o o o
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Table 1 Attributes per Attribute Symbol Unit
particle X, which where used - 3 =)
in the post-processing Acceleration at,X) eR ms
pipeline for the extraction of Actual position | x(,X) € R m

the fragments and fracture Density oX) eR kgm™3
surface Damage ct,X) eR %

Displacement | D(t,X) := |X — x(t,X)| € R |'m

Initial position |X € R? m
Force ft,X) eR3 N
Velocity v(t,X) € R3 ms~!
Volume V(X) eR m3
Stress o(t,X) € R® Pa

modeled [25]. For the state-based PD, the equation of motion (1) is replaced by the
following integral equation

0(XA(1,X) = / {T[e, X](X" — X) — T[t. X'](X — X')} dX' + b(1,X) )

Bs

where T is the force vector state field. Cracks and fractures are modeled by the
breaking of bonds between particles. Here a critical stretch s, for bond breaking is
predefined for all particles, and the bond between two particle breaks irreversibly
if the stretch surpasses the predefined critical value. The ratio of the existing
bonds inside the interaction zone Bs(X) and the amount of bonds inside Bs(x) at
the reference configuration €2 describes the damage c(, X) of a particle. For the
simulation we used an extended version of Peridigm [14] and the elastic material
model.

Table 1 shows for each particle at position X in the reference configuration €2
the attributes available at each time step for the post-processing in the visualization
pipeline. We extended Peridigm with a compute class for the adjacency matrix M,,
so that all bonds between particles are available as an additional information for the
post-processing pipeline. Fore more details about peridynamics and material models
we refer to [22, 24, 25].

3 Visualization Techniques

We present two visualization techniques for the analysis of data resulting from
peridynamics simulations. The first technique discusses how the data describing
fractures can be separated into fragments, revealing the shape and size of the
fragments. The second technique describes the visualization of the stress tensor and
is used to visualize the wave propagation after impact damage.
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3.1 Clustering

For the visualization, it is important to identify each individual fragment. We
therefore apply a connected components labeling (Algorithm 1). It iterates over
all particles in a given time step ¢ and identifies fragments by specifying a label
for each particle, so that particles that belong to the same fragment share a common
label. We use two criteria in the algorithm to identify connectivity between particles,
the maximum damage value s and the maximum bond length r. Thus, the initial
displacement between two particles X and X’ is not larger than ||X’ — X|| < r for
connected components. Note, that the maximum bond length and critical damage s
are parameters to influence the fragmentation of the algorithm and the horizon é and
the critical stretch s, are independent model parameters.

Algorithm 1: Component labeling

Input: particles P, bonds B, max damage value s, max bond length r, time ¢
Output: every particle labeled by piece id of connected component

for every particle n do

label[n] <— 0 ;

visited[n] <— false ;

n<20;

while n < |P| and c(t, X,)) > s do
visited[n] < true;
n<n+1;

currentLabel = 1;

Stack S;

while n < |P| do

label[n] <— currentLabel ;

visited[n] < true;

S<n;

while S # @ do

n <« S;

C < getConnectedParticles(n’, B);

for n” € Cdo

if not visited[n" ] and distance(n’,n”’) < r and c(t, X,») < s then

label[n”] < currentLabel,;
visited[n” ] < true;
S «— n//;

while n < |P| and (visited[n] or c(t, X,)) > s) do
visited[n] <— true;
n<n+1;

currentLabel <— currentLabel + 1;
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By specifying the maximum bond length, we can restrict the search of connected
components to those particles that are in direct neighborhood to each other. The
maximum damage value s is required, as the given set of bonds contains both
active and broken bonds. Therefore, we could not rely for our analysis of connected
components solely on the connections of particles through bonds, as this would
require a set of bonds containing only the active part. Still, we found that filtering
out particles by a user-specified maximum damage value gives good results for the
identification of fragments. For our experiments, we used a maximum damage value
of s = 0.2 and a maximum bond length of r = 0.001.

All particle labels are initialized with id O (Line 1). This id is also used to
identify particles that do not belong to a fragment, as their label id is not altered
by the algorithm. We also store a flag for each particle (Line 1), which specifies
whether the particle was already visited to avoid infinite loops while traversing
through the connections. In Lines 1-1, the algorithm iterates over all particles to find
the first particle whose damage value is below the given threshold s. This particle
belongs to the first fragment and is labeled with the current label id (Line 1). Next,
the particle is pushed on a stack (Line 1), which is used to traverse all particles
connected to the given particle. The traversal, Lines 1-1, is done by testing for each
connected particle to see whether it has not been visited and meets the criteria for
maximum distance r and damage threshold s (Line 1). If so, the particle is labeled
with the current label id and also pushed on the stack. This step is repeated until the
stack is empty and all connected particles have been visited. In Lines 1-1, the next
component is identified by searching for a particle that has not been visited yet and
that meets the damage criterion s. These steps are repeated until all particles have
been visited and a label specified for each particle.

3.2 Visualization of the Stress Tensor

To highlight the waves after an impact damage, we visualize the stress tensor o (¢, X),
defined for each particle position X and time step ¢, by means of the spectral norm
of the stress tensor. The scalar-valued spectral norm of a tensor A is given as the
square root of the largest eigenvalue A, of A*A,

||A||2 = \//\max A*A), 3)

where A* denotes the transpose of A.

The first step in the visualization pipeline is to calculate and store the spectral
norm of the stress tensor for each particle. In the next step, the resulting scalar
values given at the particle positions are resampled on a Cartesian grid using inverse
distance weighting to obtain a continuous distribution of the spectral norm over the
whole domain. For the resampling step, we use a grid resolution of 200 x 200 x 200
and a maximum distance of 0.005. The resulting scalar field is visualized using
standard volume rendering techniques.
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4 Experiments and Their Visual Analysis

4.1 Fragments and Histograms

Figure 2 shows the geometry of a thin plate with a material density o of
2200kgm™>, a bulk modulus K of 14.9 x 10° Pa, and a shear modulus G of
8.9 x 10° Pa. The spherical projectile is modeled as steal with a material density
o0 of 7700kgm™3, a bulk modulus K of 160 x 10° Pa, and a shear modulus G of
78.3 x 10° Pa, and it hits the target with a velocity of 200m s~". For the simulation
with Peridigm, we use the elastic material model, the critical stretch damage model
with a critical stretch s, = 0.0025, and for the interaction of the sphere and the
plate a contact model with a spring constant of 1 x 102,

Figure 3 shows a common visualization of particle-based simulations in the first
column. Here, spheres are placed at the center of the actual position x(z, X) of the
particles over the time 7. These spheres are colorized with the scalar damage value
c(t, X) of the particle. Blue indicates that there is no damage, and red indicates that
all bonds inside the interaction zone B;s(X) are broken. After the impact, the damage
develops radially from the center of the plate and starts to bifurcate twice before
hitting the boundary of the plate. At the final time step ¢ =8.27 x 1077, there are
plenty of “free” particles in the center of the plate that have no neighbors inside
the interaction zone any more. Additionally, there are some “free” particles between
these non-damaged particles. This somehow indicates that the crack resides and
that the plate is scattered in different parts. With this particle-based visualization
approach we can study how the damage develops through the material and observe
different bifurcations of the cracks.

A plain visualization of the particles does not expose information about the shape
of fragments or where exactly the crack path develops. Therefore Algorithm 1 is
applied on the particle data to cluster the particles to fragments and label them.
In the second column of Fig. 3, fragments that have been extracted this way are
colored by their label. This exposes the shape of the fragments and visualizes the
crack pattern in a clear way, see Fig. 3d.

Fig. 2 Blueprint of the thin
plate and the spherical m
projectile '
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Fig. 3 TImpact of a spherical projectile on a thin plate with a velocity of 200ms™'. The nine
figures at the left-hand side (above and below) show the visualization of the particles as spheres
colorized with their damage c(t, X). The right-hand side shows the particles colorized according
to the extracted fragments. (@) t = 0. (b) t = 0 (¢c) t = 1.27 x 1077 (d) r = 1.27 x 107" (e)
t=191%x10"7s. (Bt =191x10"s.(gt =25x10""s (h)t = 2.55%x 107" s. (i)
t=318x10"7s. ()t =318%x 1077 s. (k) t =382 x 1077s. (I) t = 3.82 X 1077 5. (m)

t=445x1077s.(n)t=4.45%x10""s.(0)t =827 x 1077 s. (p)t =827 x 1077 s
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Furthermore, auxiliary attributes like the mass or the velocity at the center
of mass of the fragments are of interest. Figure 4 shows the histograms of the
fragments’ sizes delivered by the algorithm. Here, the algorithm needs to be
extended to estimate the mass of the fragment via the density o of the particles
and their volumes V. With this additional information, the histograms could be
compared to the examples [26, 28] described in Sect. 1.1. Furthermore, a study of the
sensitivity of the initial positions X of the particles with respect to the fragment size
is important, because the crack pattern looks slightly different for different initial
placements of the particles X [6]. Here, the histograms could be used to verify if the
distribution of the size is sensitive to the initial position of the particles.

To compare with experiments, the algorithm needs to be improved. For example,
the computational effort for the extraction of the fragments needs to be reduced.
The geometry of the projectile and the specimen are more complex than in our
experiment here and the amount of particles increases. Due to the slow convergence
of particle-based methods, the run-time is then not negligible any more.

4.2 Impact Damage and Wave Propagation

The understanding of wave propagation after impact damage is important to see
how the damage front propagates through the specimen and reflects at the boundary.
The interference pattern after the reflection of the wave at the boundary is of great
interest. Figure 5a shows the reconstructed surfaces of the Stanford bunny, a data set
of the Stanford 3D scanning repository,' scanned from a ceramic figurine of a rabbit.
For this complex geometry, the visualization of the particles and the scalar damage
value c(¢, X) is not sufficient to see the propagation of the wave through the material
(See, Fig. 5b). For the simulation in LAMMPS, we scattered the surface data set of
the bunny with 1,787,245 particles and defined the material with a material density
o0 of 3369kg m™, a bulk modulus K of 210 x 10° Pa and a critical stress intensity
factor Ky, of 2 x 10° Pa/m.

Figure 6 shows the development of the wave after the impact through the
bunny visualized with the technique described in Sect. 3.2. The visualization of the
spectral norm of the stress o (¢, X) provides a more global view of the propagation,
reflection and interference of the wave after the impact damage. Figure 6f shows the
development of the wave after the impact of the projectile. The arrival of the wave
at the back of the bunny is visible in Fig. 6h (colored in red). The interference of the
reflected wave is shown in Fig. 61, and in Fig. 6u artifacts at the occiput and the lugs
of the bunny are clearly evident.

Thttp://graphics.stanford.edu/data/3Dscanrep/.
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Damage
1
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(a) The reconstructed surfaces of (b) Visualization of the impact damage per parti-
the Stanford bunny. cle of the Stanford bunny.

Fig. 5 Figure (a) shows the extracted surfaces of the Stanford bunny as a complex geometry for
the simulation and analysis, and Figure (b) shows the impact damage where the spheres at the
actual positions x(z, X) are colorized by the damage c(t, X)

5 Conclusion

We presented an approach to extract fragments from particle-based peridynamics
simulations. The algorithm delivers fragments as connected components of the
particles. Our results show details about the cracks’ branches between the fragments,
and they provide additional information about the resulting fragments, which
are much less obvious in straightforward visualizations. The histograms of the
fragment sizes are essential to compare the simulations results to experiments.
In the experiments in [26, 28], the mass of the fragments or the velocity at the
center of mass of each fragment are provided. To compare the simulations to
these experiments, the algorithm needs to be slightly extended to determine the
mass of the fragments and the center of mass of a fragment. With these additional
attributes, the sensitivity of the initial positions to the distribution of the mass could
be addressed. We planing such a comparison as future work.

Capturing the impact damage and wave propagation in brittle materials is done
with high-speed cameras [8, 20, 27]. Here, the benchmark with particle-based
simulations is a challenge, because the velocity is available per particle. The results
of these experiments are the velocity at the wave front or damage front. With our
visualization technique , the propagation and inference of the waves after the impact
is visualized in the volume of the geometry. Thus, a more “global” view of the waves
can be achieved compared to standard visualization. However, the propagation of
the waves is not qualitatively comparable with the shadow graphs provided in
the experiment with the high-speed cameras. For a quantitative comparison to the
experiments, the visualization techniques need to be extended to obtain the velocity
at the wave front.

For both approaches, the visualization delivers new intuitive and instructive
aspects for analyzing the simulation results qualitatively with new insights in
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(b)

Fig. 6 Visualization of the stress in the Stanford bunny (1,787,245 particles) with a spherical
projectile with an impact velocity of 100ms™! and a time step size of 10~%. (a) t = 0s. (b)
t=108s.(0)r=5x108s.(d)r=7%x108s.(e)r=9%x1078s.(Ht=12%x 1078 5. (g)
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Fig. 6 (continued)
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the fragmentation and the propagation of the wave after the impact damage.
Both approaches have to be slightly extended for a quantitative comparison of
experiments in the future.
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A Meshfree Semi-implicit Smoothed Particle
Hydrodynamics Method for Free Surface Flow

Adeleke O. Bankole, Michael Dumbser, Armin Iske, and Thomas Rung

Abstract This work concerns the development of a meshfree semi-implicit numer-
ical scheme based on the Smoothed Particle Hydrodynamics (SPH) method, here
applied to free surface hydrodynamic problems governed by the shallow water
equations. In explicit numerical methods, a severe limitation on the time step is
often due to stability restrictions imposed by the CFL condition. In contrast to
this, we propose a semi-implicit SPH scheme, which leads to an unconditionally
stable method. To this end, the discrete momentum equation is substituted into
the discrete continuity equation to obtain a linear system of equations for only
one scalar unknown, the free surface elevation. The resulting system is not only
sparse but moreover symmetric positive definite. We solve this linear system by
a matrix-free conjugate gradient method. Once the new free surface location is
known, the velocity can directly be computed at the next time step and, moreover,
the particle positions can subsequently be updated. The resulting meshfree semi-
implicit SPH method is validated by using a standard model problem for the shallow
water equations.
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1 Introduction

In this work, we propose a meshfree semi-implicit SPH scheme for two-dimensional
inviscid hydrostatic free surface flows. These flows are governed by the shallow
water equations which can be derived either vertically or laterally averaged from
the three dimensional incompressible Navier-Stokes equations with the assumption
of a hydrostatic pressure distribution (see [5, 6]).

Several methods have been developed for both structured and unstructured
meshes using finite difference, finite volume and finite element schemes [5-8, 19].
Explicit schemes are often limited by a severe time step restriction, due to the
Courant-Friedrichs-Lewy (CFL) condition. In contrast, semi-implicit methods lead
to stable discretizations allowing large time steps at reasonable computational costs.
In staggered grid methods for finite differences and finite volumes, discrete variables
are often defined at different (staggered) locations. The pressure term, which is the
free surface elevation, is defined in the cell center, while the velocity components
are defined at the cell interfaces. In the momentum equation, both the pressure term,
due to the gradients in the free surface elevations, and the velocity term, in the mass
conservation, are discretized implicitly, whereas the nonlinear convective terms
are discretized explicitly. In mesh-based schemes, the semi-Lagrangian method
discretizes these terms explicitly (see [3, 12, 13]).

In this work a new semi-implicit Smoothed Particle Hydrodynamics (SPH)
scheme for the numerical solution of the shallow water equations in two space
dimensions is proposed, where the flow variables are the particle free surface eleva-
tion, the particle total water depth, and the particle velocity. The discrete momentum
equations are substituted into the discretized mass conservation equation to give a
discrete equation for the free surface leading to a system in only one single scalar
quantity, the free surface elevation location. Solving for one scalar quantity in a
single equation distinguishes our method, in terms of efficiency, from other methods.
The system is solved for each time step as a linear algebraic system. The components
of the momentum equation at the new time level can directly be computed from
the new free surface, which we conveniently solve by a matrix-free version of the
conjugate gradient (CG) algorithm [11, 17]. Consequently, the particle velocities
are computed at the new time step and the particle positions are then updated. In
this semi-implicit SPH method, the stability is independent of the wave celerity.
Therefore, large time steps can be permitted to enhance the numerical efficiency [5].

The rest of this paper is organized as follows. The problem formulation, including
the two-dimensional shallow water equations and the utilized models for the particle
approximations, is given in Sect. 2. Our meshfree semi-implicit SPH scheme is
constructed in Sect. 3. Numerical results, to validate the proposed semi-implicit
SPH scheme, are presented in Sect. 4. Concluding remarks are given in Sect. 5.
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2 Problem Formulation and Models

This section briefly introduces the utilized models and particle approximations.
Vectors are defined by reference to Cartesian coordinates. Latin subscripts are
used to identify particle locations, where subscript i refers to the focal particle and
subscript j denotes the neighbor of particle .

2.1 The Kernel Function

We use a mollifying function W, a positive decreasing radially symmetric function
with compact support, of the generic form

1
W(r,h):de(”}rl”) for re€[0,00) and h > 0.

In our numerical examples, we work with the B-spline kernel of degree 3 [15], given
as

1 2 h3 4

W(}’,]’l)ZWU:KX (2_}’) for 1 <7 <2
4 h -h
0 for I >2

where the normalisation coefficient K takes the value 2/3 (for dimension d = 1),
10/(77) (for d = 2), or 1/7 (for d = 3). For the mollifier W € W3*(R%), h > 0
is referred to as the smoothing length, being related to the particle spacing Ap by
h = 2Ap. The smoothing length £ can vary locally according to

1 m;
hy = [h: + hj] where h; = 0 ¢ . (1)
2 Oj

In this study, we use the smoothing length in (1). Moreover, o is in [1.5,2.0],
which ensures approximately a constant number of particle neighbors of between
40-50 in the compact support of each kernel. A popular approach for the kernel’s
normalisation is by Shepard interpolation [18], where

/ Wi

T N omy :
Zj=l p]]» WU
Normalisation is of particular importance for particles close to free surfaces,
since this will reduce numerical instabilities and other undesired effects near the
boundary.
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The gradient of the kernel function is corrected by using the formulation
proposed by Belytschko et al. [1]. For the sake of notational convenience, we will
from now refer to the kernel function W}; as W;; and to its gradient VW}; as VW;.

2.2 Governing Equations
The governing equations considered in this work are nonlinear hyperbolic conser-
2

vation laws of the form
forre RY, ® eR

Ly(®) + V- (F(®,x,1) =0

together with the initial condition
forx e Q CRd,(I>0 eR

P (x,0) = ®y(x)

where L, is the transport operator given by
P
Ly(®) = 9 + V.- (b®)

b= ....0%,

and
F = (F',....F%,

Lo,

x=(x,.
where b is a regular vector field in R4, F is a flux vector in RY, and x is the position.
Figure 1 gives a sketch of the flow domain, i.e., the free surface elevation and

the bottom bathymetry. In this configuration, the vertical variation is much smaller
/ \
= __""--._HHHH /f’d__
i W

Fig. 1 Sketch of the flow domain: the free surface (/ight) and the bottom bathymetry (thick)
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than the horizontal variation, as typical for rivers flowing over long distances of
e.g. hundreds or thousands of kilometers. We consider the frictionless, inviscid two
dimensional shallow water equations in Lagrangian derivatives, given as

Dn

V-(Hv)=0 3
Dt+ (Hv) 3
Dv
Vn=0 4
Dt+gn “4)
Dr 5)
=
Dt

where n = n(x, y, t) is the free surface location,

H(x,y,t) = h(x,y) + n(x,y,1)

is the total water depth with bottom bathymetry A(x,y), and where v = v(x,y,1)
is the particle velocity, r = r(x,y,t) the particle position, and g the gravity
acceleration.

2.3 Hydrostatic Approximation

In geophysical flows, the vertical acceleration is often small when compared to the
gravitational acceleration and to the pressure gradient in the vertical direction. This
is the case in our flow model shown in Fig. 1. If we consider, for instance, tidal flows
in the ocean, the velocity in the horizontal direction is of the order of 1 m/s, whereas
the velocity in the vertical direction is only of the order of one meter per tidal cycle.
Therefore, the advective and viscous terms in the vertical momentum equation of the
Navier-Stokes equation are neglected, in which case the pressure equation becomes

dp

A (6)

with normalised pressure, i.e., the pressure is divided by a constant density. The
solution of (6) is given by the hydrostatic pressure

p(x,y,z,1) = po(x,y, 1) + g[n(x,y, 1) —zl,

where po(x, y, f) is the atmospheric pressure at the free surface, taken as constant.
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3 Construction of a Meshfree Semi-implicit SPH Scheme

There are several numerical methods for solving Egs. (3)—(5), including finite differ-
ences, finite volumes or finite elements, explicit or implicit methods, conservative
or non-conservative schemes, mesh-based or meshfree methods. The meshfree
SPH scheme of this work relies on the semi-implicit finite difference method of
Casulli [4].

Explicit numerical methods are often, for the sake of numerical stability, limited
by the CFL condition. The resulting stability restrictions are usually leading to very
small time steps, in contrast to implicit methods. In fact, fully implicit discretisations
lead to unconditionally stable methods. On the down side, they typically require
solving a large number of coupled nonlinear equations. Moreover, for the sake
accuracy, the time step size in implicit methods cannot be chosen arbitrarily large.
Semi-implicit methods, e.g. that of Casulli [4], aim to reduce the shortcomings of
explicit and fully implicit methods. Following along the lines of [4], we achieve
to balance accuracy and stability, at reasonable time step sizes, by a semi-implicit
SPH scheme for the two-dimensional shallow water equations, as supported by our
numerical results.

3.1 The Smoothed Particle Hydrodynamics Method

Let us briefly recall the basic features of the smoothed particle hydrodynamics
(SPH) method. The SPH method is regarded as a powerful tool in computational
fluid dynamics. Due to the basic concept of SPH, numerical simulations for fluid
flow are obtained by discretisations of the flow equations with using finite sets of
particles. Moreover, the target flow quantity, say A(z,x), e.g., the velocity field or
water height, is smoothed by a suitable kernel function W(x, x’, ), by smoothing
parameter & > 0, w.r.t. the measure that is associated with the mass density p(z, x)
of the flow, i.e.,

A(t,x'
At x) = / ( x/) W(x —x', h)p(t,x')dx’ for h > 0.
o p(t.x’)

Due to the Lagrangian description of SPH, the smoothed quantities are approxi-
mated by a set of Lagrangian particles, each carrying an individual mass m;, density
pi and field property A;. Accordingly, for a given point x in space, the field property
A;, defined at the particles, located at x;, can be interpolated from neighboring
points:

N

A(t,x) =~ Z m~Aj(t) W(x —xj, h),

= T pi(1)
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i.e., the field property A at point x is approximated by the sum of contributions from
particles at x; surrounding x, being weighted by the distance from each particle. The
smoothing kernel W(x — x’, 1) is required to satisfy the following properties.

¢ Unit mass:
/ W(x —x',h)dx =1 for all x and & > 0.
Q

¢ Compact support:
W —x',h) =0 for |x —x'| > ah,

where the scaling factor o > 0 determines the shape (i.e., flatness) of W.
¢ Positivity:

W —x',h) >0 for all x,x" and & > 0.

« Decay: W(x —x’, h) should, for any & > 0, be monotonically decreasing.
¢ Localisation:

lim W(x —x', h) = §(x —x') for all x,x’,
AN

where § denotes the usual Dirac point evaluation functional.
e Symmetry: W(x — x’, h) should, for any & > 0, be an even function.
* Smoothness: W should be sufficiently smooth (yet to be specified).

3.2 Classical SPH Formulation

The standard SPH formulation discretizes the computational domain €2(#) by a finite
set of N particles, with positions r;. According to Gingold and Monaghan [10], the
SPH discretization of the shallow water equations (3)—(5) are given as

77"+l _ 77
i i + Z /Hn nVW — 0 (7)

lll

l)n-i-l "
Y +gZ i VW =0 (8)

r;H—l _r? _.n (9)
Ar i
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where the particles are advected by (9), with At being the time step size, m;
the particle mass, p; the particle density, and VW;; is the gradient of kernel W
w.r.t. x;. In the scheme [10, 15] of Gingold and Monaghan, V - (Hv) and V7 are
explicitly computed. We remark that Egs. (7)—(9) follow from a substitution of the
flow variable with corresponding derivatives, using integration by parts, and the
divergence theorem.

3.3 SPH Formulation of Vila and Ben Moussa

In the construction of our proposed semi-implicit SPH scheme, we use the concept
of Vila and Ben Moussa [2, 21], whose basic idea is to replace the centered
approximation

(F(U,', Xiy t) + F(Ujs X, t)) * jj

of (2) by a numerical flux G(n;;, v;, v;), from a conservative finite difference scheme,
satisfying

G(n(x),v,v) = F(v,x,1) - n(x)
G(n,v,u) = —G(—n,u,v).

With using this formalism, the SPH discretization of Egs. (7)—(8) becomes

n+1

n N
= n My o n _
At ) o HHV VWi = 0.
=1
n+1 n N
vV — 0. m;
! 4 2nEVW; = 0.
At g 0 AL

=t

In this way, we define for a pair of particles, i and j, the free surface elevation 7;,
n; and the velocity v;, v;, respectively (see Fig.2). In our approach, we, moreover,

Fig. 2 Staggered velocity defined at the midpoint of two pair of interacting particles i and j
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use a staggered velocity v;; between two interacting particles i and j as
1
v = 2(1),‘ + vj) ‘R
in the normal direction n§=1,2 at the midpoint of the two interacting particles, where
X — X Y
nlll =7 " and nlzl = W)
Tl =l Ty =il
for the two components of vector n;;. Moreover,
1 2
8; = I —xill and &5 = |ly; — il

gives the distance between particles i and j. Since the velocities at the particles’

midpoint are known, we can use kernel summation for velocity updates.

3.4 Semi-implicit SPH Scheme

For the derivation of the semi-implicit SPH scheme, let us regard the governing
equations (3)—(5). Writing Egs. (3)—(5) in a non-conservative quasi-linear form by
expanding derivatives in the continuity equation and momentum equations (with

assuming smooth solutions), this yields

u; + uny + vy +gn,e =0
v + uvy +vvy +gn, =0
ne + uny + vy + H(uy + vy) = —uh, — vh,.
Rewriting (10)—(12) in matrix form, we obtain

QI+AQX +BQy = C?

where

uO v 0 O

A=]10uo0 B:Ov

Ou Ov

u 0
Q = v C - 0
n —uh, — vh,

(10)
Y
12)

13)
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Equation (13) is a strictly hyperbolic system with real and distinct eigenvalues. The
characteristic equation, given by

det(qgI + rA + sB) = 0, (14)
can be simplified as
(g + ru + sv) [(q+ru+sv)2—gH(r2+s2)] =0, (15)

where the solution (7, s, g) of Eq. (15) are the directions normal to a characteristic
cone at the cone’s vertex. We split Eq. (15), whereby we obtain

q+ru+sv=0
and
(g+ru+sv)?—gHF* +s%) =0, (16)

with the characteristic curves u = dx/dt and v = dy/dt. If the characteristic cone
has a vertex at (x,y,?), then this cone consist of the line passing through vertex
(x,y,1) and parallel to the vector (u, v, 1), satisfying

(x—x)—ut—0)>+ ((—y) —v(t—1)* —gH(t—1)* = 0. (17)

In particular, the gradient of the left hand side of (17) satisfies (16) on the cone
surface. After solving (14), the solution yields

)kl:v—\/gH, Ay =, )L3=U+\/gH.

When the particle velocity v is far smaller than the particle celerity «/gH, i.e., |v| <
+/gH, the particle flow is said to be strictly subcritical and thus the characteristic
speeds A; and A3 have opposite directions. The maximum wave speed is given as

Amax = max(y/gH:, v/gH)).

In this case, +/gH represents the dominant term which originates from the off
diagonal terms g and H in the matrix A and B.

We now have tracked back where the term /gH originates from in the governing
equations. We remark that the first part of the characteristic cone in (15) depends
only on the particle velocity u and v. Equation (16), defining the second part of the
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characteristic cone, depends only on the celerity </gH. As we can see, gH in (15)
comes from the off-diagonal terms g and H in the matrices A and B. The terms g
and H represent the coefficients of the derivative of the free surface elevation 7,
in (10), the coefficient of the derivative 7, in (11) for the momentum equations, and
the coefficient of velocity u, and v, in the volume conservation Eq. (12). We want
to avoid the stability to depend on the celerity /gH, therefore we discretize the
derivatives 7y, 1, and u,, v, implicitly.

Further along the lines of the above analysis, we now develop a semi-implicit
SPH scheme for the two-dimensional shallow water equations. To this end, the
derivatives of the free surface elevation 7, and 7, in the momentum equation and the
derivative of the velocity in the continuity equation are discretized implicitly. The
remaining terms, such as the nonlinear advective terms in the momentum equation,
are discretized explicitly, so that the resulting equation system is linear.

Let us consider the continuity equation in the original conservative form, given
as

)+ V- (HY") = 0.

The velocity v is discretized implicitly, whereas the total water depth H is discretized
explicitly. In our following notation, for implicit and explicit discretization, we use
n + 1 and n for the superscript, respectively, i.e.,

v+ g Vit =0
n 4+ V- H Y =o0.

We discretize the particle velocities and free surface elevation in time by the ®
method, for the sake of time accuracy and computational efficiency, i.e., n + 1 =
n+ ©, and so

Vg VP =0 (18)
"+ V- (H"T%) =0 (19)
where the ®-method notation reads as
nn-l—@ — @nn-l—l 4 (1 _ @)nn
V"0 = Qv 4 (1 — Q)"
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The implicitness factor ® should be in [1/2, 1], according to Casulli and Cattani [5].
The general semi-implicit SPH discretization of (18)—(19) then takes the form

vl?‘+1 _ n
y ij @ n+1 _ +l e gty = 20
A T ; (] )+ 811( Y —n) (20)
nn+l _ 77 .
i i ® m; 2H" n+ VW i
At + 121: p]( v ) i
(21)
N o
+1-0))" p’ 2HIW) VW -y =0
; J
where

Hj; = max(0, hy; + n}, hj; + 77).

In a Lagrangian formulation, the explicit operator F vf} in (20) has the form

. 1
Fvij = 2(Vi + Vj),

where v; and v; denote the velocity of particles i and j at time . The velocity at
time #"*! is obtained by summation,

n+l _ V + Z n+l _ V:’)Wy (22)

Note that in (20) we have not used the gradient of the kernel function for the
discretization of the gradient of . We rather used a finite difference discretization
for the pressure gradient. This increases the accuracy, since F in (20) corresponds to
an explicit spatial discretization of the advective terms. Since SPH is a Lagrangian
scheme, the nonlinear convective term is discretized by the Lagrangian (material)
derivative contained in the particle motion in (9). Equation (22) is used to interpolate
the particle velocities from the particle location to the staggered velocity location.

3.5 The Free Surface Equation

Let the particle volume w; in (21) be given as w; = m;/p;. Irrespective of the
form imposed on F, Egs. (20)—(21) constitute a linear system of equations with
unknowns v'”'1 and n”“ over the entire particle configuration. We solve this system
at each time step for the particle variables from the prescribed initial and boundary
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conditions. To this end, the discrete momentum equation is substituted into the
discrete continuity equation. This reduces the model to a smaller model, where nl’.‘H
is the only unknown.

Multiplying (21) by w; and inserting (20) into (21), we obtain

i

AR &
n+1 2 ng, n+1 n+1 . A7}
o™ =507y 3 200, o =YWy =0l @3)
where the right hand side b represents the known values at time level " given as

N
b} = o} — Aty 200HFvTOVW; - n;
=1
] (24)
Ar Y
+80(1=0) ¢ > 200 [Hi(r — ) VW -],
j=1

y

with Foj™® = ©Fvj + (1 — ©)v},. Since Hj,
Egs. (23)—(24) constitute a linear system of N equations for n?“ unknowns.

The resulting system is symmetric and positive definite. Therefore, the system
has a unique solution, which can be computed efficiently by an iterative method.
We obtain the new free surface location by (23), and (20) yields the particle

velocity v,

i

w;, w; are non-negative numbers,

3.6 Neighboring Search Technique

The geometric search for neighboring particles j around a focal particle i at some
specific position x; can be done efficiently. To this end, we create a background
Cartesian grid (see Fig.3). This background grid contains the fluid with a mesh
size of 2L, and the grid is kept fixed throughout the simulation. The grid comprises
macrocells which consist of particles (see [16] for computational details), quite
similar to the book-keeping cells used in [14].

To compute the free surface elevation n and the fluid velocity v, only particles
inside the same macro cell or in the surrounding macro cells contribute. Ferarri et
al. [9] explain the neighboring search in detail: The idea is to build a list of particles
in a given macro cell and, vice versa, to keep a list of indices, one for each particle,
pointing to macro cells containing that particle. We store the coordinates of each
particle to reduce the time required for the neighbor search. In our neighbor search,
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Fig. 3 Fictitious Cartesian =
grid: neighboring search is .
done within the nine cells in a o .
two-dimensional space. The " - -
smoothing length is constant .
and the support domain for 2T TV~
the particles is 2L o 7 A
I |e ‘e
! \
I \
1 @ 1 N
1 1
\ !
A . ’
. \ ’
- ~ ~ e - ..
- . -
L]
L] - L]
. . 2L

a particle can only interact with particles in its macro cell or in neighboring macro
cells. For the two-dimensional case of the present study we only need to loop over
the bounding box of nine macro cells (see Fig. 3).

4 Numerical Results

Now we evaluate the performance of the proposed semi-implicit SPH scheme. This
is done by employing a standard test problem for the 2d shallow water equations. In
this model problem, we assume a smooth solution, i.e., a collapsing Gaussian bump.

4.1 A Collapsing Gaussian Bump

We consider a smooth free surface wave propagation, by the initial value problem

l(rz)

N 2
n(x,y,0)=1+0.1le 2\o ,
u(x,y,0) = v(x,y,0) = h(x,y) =0,

in the domain Q = [—1, 1] x [—1, 1] with a prescribed flat bottom bathymetry, i.e.,
h(x,y) = 0, where 0 = 0.1 and > = x?> + y*. The computational domain € is
discretized with 124,980 particles. The final simulation time is # = 0.15, and the
time step is chosen to be At = 0.0015. We have used the implicitness factor ® =
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Fig. 4 3d surface plot of the free-surface: SISPH solution at times + =0.0s, 0.05s, 0.10s, 0.15 s
with 124,980 particles

0.65. The smoothing length is taken as ; = a(w;)/¢, where o = [1.5,2] and d = 2.
The obtained numerical solution is shown in Fig. 5. The profiles in Fig. 4 show the
three dimensional surface plots of the free surface elevation at times ¢t =0.0s, 0.05 s,
0.10s, 0.15s. Due to the radial symmetry of the problem, we obtain a reference
solution by solving the one-dimensional shallow water equations with a geometric
source term in radial direction: a method based on the high order classical shock
capturing total variation diminishing (TVD) finite volume scheme is employed for
computing the reference solution using 5000 points and the Osher-type flux for the
Riemann solver, see [20] for details. The comparison between our numerical results
obtained with semi-implicit SPH scheme and the reference solution is shown. A
good agreement between the two solutions is observed in Fig.5. We attribute the
(rather small) differences in the plots to the fact that the SPH method has a larger
effective stencil, which may increase the numerical viscosity. The cross section of
the free surface elevation and the velocity in the x-direction is shown in Fig.5. We
have used a higher resolution of particle numbers of 195,496, the cross section of
the free surface elevation and the velocity at final time + = 0.15s can be seen in
Fig. 6. We observe similar results compared to particle numbers 124,980.
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Fig. 5 Cross section of semi-implicit solution (green) versus reference solution (red): Free-surface
(left), velocity (right) in the x-direction at times ¢ = 0.0, 0.05s, 0.10s, 0.15s
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Fig. 6 Cross section of semi-implicit solution (green) versus reference solution (red): Free-surface
(left), velocity (right) in the x-direction at times ¢ = 0.15s with a higher resolution of 195,496
particles

5 Conclusion

We have proposed a meshfree semi-implicit smoothed particle hydrodynamics
(SPH) method for the shallow water equations in two space dimensions. In our
scheme, the momentum equation is discretized by a finite difference approximation
for the gradient of the free surface and the SPH approximation for the mass
conservation equation. By the substitution of the discrete momentum equations into
the discrete mass conservation equations, this leads to a sparse linear system for the
free surface elevation. We solve this system efficiently by a matrix-free version of
the conjugate gradient (CG) algorithm.

The key features of the proposed semi-implicit SPH method are briefly as
follows: The method is mass conservative; efficient; time steps are not restricted
by a stability condition (coupled to the surface wave speed), thus large time steps
are permitted.

Ongoing research is devoted to nonlinear wetting and drying problems, applica-
tion to shock problems, and extension of the scheme to the fully three-dimensional
case.
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A Meshfree Method for the Fractional
Advection-Diffusion Equation

Yanping Lian, Gregory J. Wagner, and Wing Kam Liu

Abstract “Non-local” phenomena are common to problems involving strong
heterogeneity, fracticality, or statistical correlations. A variety of temporal and/or
spatial fractional partial differential equations have been used in the last two decades
to describe different problems such as turbulent flow, contaminant transport in
ground water, solute transport in porous media, and viscoelasticity in polymer
materials.

The study presented herein is focused on the numerical solution of spatial
fractional advection-diffusion equations (FADEs) via the reproducing kernel par-
ticle method (RKPM), providing a framework for the numerical discretization of
spacial FADEs. However, our investigation found that an alternative formula of the
Caputo fractional derivative should be used when adopting Gauss quadrature to
integrate equations with fractional derivatives. Several one-dimensional examples
were devised to demonstrate the effectiveness and accuracy of the RKPM and the
alternative formula.

1 Introduction

A diversity of deterministic and stochastic partial differential equations [3, 12, 13]
have been developed with fractional-order derivative operators built-in to describe
“non-local” phenomena due to strong heterogeneity, fracticality, or statistical
correlations. In particular, the spatial and/or temporal fractional advection-diffusion
equations have been shown to to be useful in the description of anomalous diffusion
phenomena[1, 8, 11].
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The one dimensional spatial fractional advection-diffusion equation is defined as

A (x, 1) 3¢(x,t)_ 0 @ .
s TH 4 Vo ® (x, 1) =f(x,1) )

where ¢ represents the solute concentration, f(x,f) is a source term, u stands
for the advective velocity, v is a coefficient of the fractional diffusion term, and
a € (0,1] stands for the fractional derivative order associated with a left-sided
Caputo fractional derivative. The left-sided Caputo fractional derivative is defined
for a general function v (x) as

(@) _ 1 * )%
row =l [ ey @

where I'(1 — @) = fooo 7~ %e"*dz is Gamma function, and prime notation stands for
first order derivative with respect of y.

Equation (2) can be discretized by different numerical methods. Here, we
focus on the ability of the reproducing kernel particle method (RKPM) [9, 10] to
approximate the above equation by performing a parametric study. In RKPM the
approximation of the general function ¥ (x) is made by a set of scattered particles
used to discretize the material domain 2 as

YR ) = /Q W, (x;x — XY (X)dx A3)

the superscript R stands for reconstruction or approximation, and subscript p is
called the dilation parameter and used to determine the size of support domain of a
point. W, (x; x — X) is a kernel function defined as

W,(x;x—X) = Cp(x; x — X)w,(x — X) “4)

where C,(x; x — X) is the correction function, and w,(x — X) is the weight function,
both of which are defined as follows.

Cp(x;x —X) = PT(x — H)b(x, p) (5)

where PT(x) = [1xx?-.-x*] is the kth-order polynomial basis with unknown

coefficients collected by the vector function b(x,p) = [bg by by --- b;]. An
example for the weight function is the quartic spline function as follows.

5(1-6r248°7=-3"0<r<1

QI =, 0 r>1

with r = |x — X| /p.
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After some algebra and using the Einstein summation convention when repeated
indices are present, Eq. (3) can be rewritten as:

V@ = Ny () ©)
with
Ni(x) = PT(O)M(x) "' P(x — xp)w, (x — x) AV, (7
and M~ being the inverse matrix of M defined by

L

M(x) =Y w,(x—x)P(x — x))P" (x — x)) AV, (8)
J=1

with L the total number of particles that have contribution to the particle 7, and AV
a measure of the sub-domain represented by particle J.

2 RKPM Approximation for the Fractional Derivative

Approximating the fractional derivative of the function ¥ at a discretization point
x; through Eq.(6) requires the computation of the fractional derivative of the
shape function N;(x). For simplicity and demonstration purposes, let us assume a
uniformly spaced grid where n particles are evenly spaced by Ax. The position of
particle / is then x; = [Axforl/ = 0,--- ,n—1. By choosing a first-order polynomial
basis, k = 1, and p = 2Ax the global internal particle / has a nonlinear shape
function given by

5P1—6rr+87-3r*0<r<l1
N, = - 9
=T = ©)
From Eq. (2) the fractional derivative for the above shape function becomes:
MOW= oL [ e (10
! r(l—a) o !

Substituting Eq. (9) into Eq. (10) yields

0 x € [xo, x7-2]

o H(x — x;—2;x — x1) X € [x7—2, x1]
NP ) =4

e (@) H,(x) + G(x — xp;x — x1) — G(0;x — x1) x € [x1, X42]

H,(x) + Gu(x) X € [x742, xn]

Y
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with A(a) = 2p21“1(52—a) s Hy(x) = Hix — x—2;x —x1) — H(x — xp5x — x1), Gju(x) =
G(x — xj—2;x — x7) — G(x — x7; x — x7), and

H(né)-én‘”‘+”n”
EZ 1—a+2$(1 01)772 a+1 Otn?) o

(12)
(g3l 32 (l—a)nz @y 35(1—0:),,3 @y —an4 a:l
and
G(n; S)—é‘n“"+‘ “pe
52 = 25(1 a)nz a+1 an3 o (13)

g3 a+3s(1 a)nz a+3s(1 “)773 a+1 an4 a:l

Figure 1 depicts the Nl(a) (x) for selected values of @ € (0, 1] within a material
domain x = [0, 15] with a particle spacing Ax = 1.

0.8 T T
- — —0=0.1
- — 0a=0.5
o=0.9 |
a=1.0
=
N _—
= ZEET
0 5 10 15

Fig. 1 Non-locality of N,(a) (x) with @ = 0.1, 0.5, and 0.9, where the support domain is extended
to the right side of the domain, and can shrink back to compact domain for « = 1, namely the
support domain is equal to that of the shape function
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Fig. 2 The curves of kernel function with different value of a: (a) (x — y)™%, (b) (x — y)! ™

2.1 Alternative Approximation for the Fractional Derivative
Using RKPM

The approximation of Eq. (2) requires numerical integration, such that a random
distribution of particles and the effect of boundary conditions can be taken into
account. However the presence of the kernel function (x — y)™ inside the integral
of Eq.(2) can lead to numerical issues when using Gauss quadrature. This can be
explained by the fact that this kernel function becomes steeper as o approaches 1,
see Fig. 2a. In practice, the problem could be alleviated by including a large quantity
of quadrature points to guarantee accuracy, but there is an alternative solution that
reduces the computational burden.

If we use integration by parts on Eq. (2) so that the order of the kernel function
is increased by 1, then we get

1w = o0 o [roer - [e-nmon] (14

This was plotted in Fig. 2b, where it is clear that the kernel function (x — y)'™
becomes relatively smoother than the original formulation given by Egq.(2).
Equation (14) is denoted henceforth as the alternative formula of Caputo fractional
derivative and is used in the remaining of this article.

3 Spatial Fractional Advection-Diffusion Equation via
RKPM

As shown in the Introduction, the steady state spatial FADE can be written within a
material domain 2 = [0, 1] as

deo(x) d _
PR A OENC) (15)
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with essential or Dirichlet boundary conditions given by

#(0) =¢0),  ¢(1) =¢(1) (16)

where ¢ (x) is a given function.
Using a Petrov-Galerkin (P-G) formulation, the trial function takes the form

@"(x, 1) = Ni(x)i () (17)

where ¢;(7) indicates the value of function ¢ at node x;, and N;(x) is defined by
Eq. (7). The test function is then,

w" =w+ypw (18)

Here w' leads to the difference between test and trial function. The constant y =
,3; acts like a viscosity coefficient, and 8 is a dimensionless stabilization parameter
that can affect the central difference scheme for the advection term such that it
becomes closer to a forward difference scheme and achieving a stabilized solution.
If y is set as 0, then the P-G formulation is reduced to a Galerkin formulation.

Following the standard steps, a weak form of the FADE (15) yields

/uw*qﬁ/(x))dx—f—/ vw’¢>(“)(x))dx—/ va/¢(l+°‘)(x))dx:/w*f(x)dx
Q Q Q Q 19)

where ¢! T (x) = jxqﬁ(o‘)(x). Substituting the above trial function into Eq. (19),
yields the Petrov-Galerkin RKPM discrete equation as

[u (yK* (1) —K*(0)) + vK*(a) — yvK*(1 + a)] ® = F (20)

where ® = [y -+ ¢, ---]Tis the nodal value vector, F; = [, [Ny + yNj|f(x)dx,
and

K} (B) = /Q NN P dx 1)

where f takes the value of 0,1,«, and 1 + «. It should be noted that the alternative
formula of Caputo fractional derivative is used for K* («), which reads:

K*(@) = K’ + K" () (22)

with

1 ! ! —o
K} = r2-o /Q N, (x)N(0)x'*dx (23)



A Meshfree Method for the Fractional Advection-Diffusion Equation 59

and

1 ! * —a a7l
RO L1 § NI T PSS

Due to the non-local fractional differential operator, the induced stiffness matrix is
no-longer compact but dense.

Before solving illustrative examples, the stabilization parameter 8 needs to be
chosen appropriately, due to its crucial role in the Petrov-Galerkin formulation.
For the integer derivative advection-diffusion equation [2, 4-7], the stabilization
parameter is usually calculated by

B = coth(Pe) — 1/Pe (25)
where Pe is the element Peclet number, and defined by Pe = 2ubx \which is used in
the finite element method. However, by this definition, the element Peclet number is
no longer a dimensionless number as o« < 1, because the dimension of v takes the
form of L'*% /T [1], where L and T is the length and time dimensions, respectively.
Therefore, Eq. (25) is not suitable to calculate the stabilization parameter for the
case of @ < 1. A theoretical study about the correct definition of element Peclet
number for FADE will be presented in an upcoming contribution. In the work
presented herein, Eq. (25) is applied directly as an approximation of the stabilization
parameter for the cases with strong advection propensity, meanwhile the element
Peclet number is approximately determined by Pe = 23" to taking into account the
effect of dilation parameter. For cases with lower advection propensity, Galerkin
formulation is used.

4 Illustrative Examples

Several examples including steady state and time-dependent problems are studied.
For the time dependent example, forward time integration is implemented with
lumped mass matrix approximation. The Lagrange multiplier method is used to
impose the Dirichlet boundary conditions.

4.1 Steady State Examples

Two cases will be considered: homogeneous and non-homogeneous boundary
conditions. Starting with the homogeneous boundary conditions, and for a material
domain of x € [0, 2], the steady state fractional advection-diffusion equation is
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given as
w9 v 9w =5 26)
with
$(0)=0. ¢(2)=0 27)
and
_ 2437 245 8x!—@ 3 )
f) =—v (F(4_a) “rGow T F(Z—a)) +u (40’ — 1207 +8x)  (28)

The analytic solution reads

$(x) = (2—x) (29)

Two different values of «=0.7 and 0.2 are considered herein, while the other
parameters are chosen to be as u = 0.2, v = 0.4, Ax = 0.1, and p = 3Ax.
For this homogeneous boundary condition problem, Galerkin formulation is used.
Numerical results from RKPM with the alternative and original Caputo fractional
formula denoted by RKPM1 and RKPM?2, respectively, are shown in Figs. 3 and 4.
Both figures demonstrate that the numerical results with the alternative Caputo

1.2 —
Ve N
v N A RKPM1
/ \\ — — — RKPM2
L / ]
1 / \ Exact
/ \
/ \
/ \
0.8 y \ .
/ \
/ \
< 06 / ' :
/ \
/ \
/ \
L / \ J
0.4 , .
/ \
/ \

L / \ ]

0.2 \

\
0 I I I N\
0 0.5 1 1.5 2
X
Fig. 3 Comparison between numerical results and analytic result to case of « = 0.7, where

RKPM1 and RKPM2 stand for the result from RKPM with alternative and original Caputo
fractional formulas, respectively
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1.2

A RKPM 1

— — —RKPM 2
1+ Exact i
0.8 [ d
< 0.6 1
04 8
0.2 4
0 I I I S\
0 0.5 1 1.5 2

X
Fig. 4 Comparison between numerical results and analytic result to case of « = 0.2, where

RKPM1 and RKPM2 stand for the result from RKPM with alternative and original Caputo
fractional formulas, respectively

fractional formula are in good agreement with the analytic solution, while the
numerical results with the original formula deviate from the analytic solution when
« increasing and using Gauss quadrature.

Now considering the problem with non-homogeneous boundary conditions and
for a material domain of x € [0, 1], the Dirichlet boundary conditions are set as

p(0)=0. o()=1 (30)

with f(x) = x.
The analytic solution reads

0 =90 + ¢’ [Ea (e -1]= e+ [Eaer-1] 6

where c is determined by the right Dirichlet B.C, and E,;(z) is a two parameter
Mittag-Leffler function defined by

o0 k
Z Z
Far (@) = ~ T(ak+1) (32)

For illustrative purposes we chose two sets of parameters: (1) @ = 0.9, v =
0.0439,and u = 1;and 2) « = 0.1, v = 1.4515 and u = 1. For both cases, two
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Fig. 5 Comparison between numerical results and analytic result for case of @ = 0.9 with Ax =
0.1, where Galerkin and P-G stand for the numerical result from Galerkin RKPM and Petrov-
Galerkin RKPM, respectively

discretization spacings, Ax = 0.1 and Ax = 0.01, were considered with p = 3Ax.
Both Petrov-Galerkin and Galerkin RKPM are used.

In the first case, Ax = 0.1 induces a strong advection propensity. Therefore, as
shown in Fig. 5, spurious oscillations are present in numerical result by the Galerkin
RKPM, while the numerical result utilizing Petrov-Galerkin RKPM is in better
agreement with analytic solution, although showing some oscillatory behavior. The
finer particle spacing of Ax = 0.01 reduces the advection propensity and then the
numerical results become in good agreement with the analytic solution as shown in
Fig.6.

However, when considering the second set of parameters where ¢ = 0.1
the oscillations present in the solutions cannot be eliminated, regardless of using
the stabilization formulation given by the Petrov-Galerkin RKPM or even by the
particle spacing refinement, as shown in Figs.7 and 8. The fractional order o
dictates the difference in the observed behavior. Note that the stabilization parameter
used here is only taking into account the advection term. Hence, decreasing the
fractional order controls how strong the advection effect is in the fractional diffusion
term. This explains why the stabilization parameter formula from the integer
advection-diffusion equation does not work for this case, although improving the
numerical solution from the Galerkin RKPM when considering high element Peclet
number. A suitable stabilization parameter formula which can take into account
both advection and fractional diffusion terms will be presented in an upcoming
contribution.
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Fig. 6 Comparison between numerical results and analytic result for case of @ = 0.9 with
Ax = 0.01, where Galerkin and P-G stand for the result from Galerkin RKPM and Petrov-Galerkin
RKPM, respectively

4 T T T T
— — — Galerkin
35 | —A—P-G 4
Exact

Fig. 7 Comparison between numerical results and analytic result for case of @ = 0.1 with Ax =
0.1, where Galerkin and P-G stand for the result from Galerkin RKPM and Petrov-Galerkin RKPM,
respectively
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Fig. 8 Comparison between numerical results and analytic result for case of « = 0.1 with
Ax = 0.01, where Galerkin and P-G stand for the result from Galerkin RKPM and Petrov-Galerkin
RKPM, respectively

4.2 Time-Dependent Examples

Within a material domain of x € [0, 100], a time-dependent fractional advection-
diffusion equation is given by

0 ¢ (x.0)—v 0 ¢ (x,1) =0 (33)
ox

5
g (D Huy

with Dirichlet B.C.
$(0,1) =0, #(100,7) =0 (34)
and an initial condition

e—O.OS(x—32.5)2 x € [30,35]

. (35)
0 otherwise

¢(x.0) = {

Three fractional order parameter values are considered herein: « = 0.5, ¢ = 0.9
and ¢ = 1. The remaining parameters are # = 0.25,v = 0.1, Ax = 0.25 and
p = 3Ax for all three values of &. We note that the parameters o and Ax are
chosen so that oscillations will not be present in the numerical solutions for all
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Fig. 9 Numerical results for time-dependent advection-diffusion equation at time of ¢+ = 3 with
Ax=0.25

three cases when using Galerkin RKPM. Numerical solutions of three cases at
time ¢+ = 3 are shown in Fig.9. Two characteristics of the FADE solution can be
observed when considering the different fractional orders. First, the peak value is
inversely proportional to the fractional order, while the peak position moves slower
for decreasing values of the fractional order. This demonstrates that the advection
effect arises from the fractional diffusion term and in the direction opposite to
that of the given advection term. Second, the spread of the domain of the plume
described by the FADE is larger than that of the traditional advection-diffusion
equation as shown in the close-up portion of Fig.9. This demonstrates that a so-
called anomalous diffusion in terms of spatial correlation can be described by a
non-locality of the fractional derivative operator, which also leads to the lower peak
value.

5 Conclusion

The approximation of the spatial fractional advection-diffusion equation that arises
in many physical and engineering applications is studied using the reproducing
kernel particle method. An alternative form of the Caputo fractional derivative is
recommended when using Gauss quadrature to integrate expressions with fractional
derivative. The numerical results demonstrate the effectiveness and accuracy of the
proposed alternative formula for RKPM. We also concluded that the fractional
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derivative order o has a direct influence on the diffusion term, which can also
represent advective effect and has a spatial correlation effect. Therefore, the
stabilization parameter formula determined for the traditional advection-diffusion
equation with integer derivative order cannot be directly used for the fractional
advection-diffusion equation. In addition, the traditional definition of element Peclet
number does not lead to a dimensionless number. These two observations will be
further investigated in an upcoming contribution.
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Meshless Multi-Point Flux Approximation

Alexander A. Lukyanov and Cornelis Vuik

Abstract The reservoir simulation of the complex reservoirs with anisotropic
permeability, which includes faults and non-orthogonal grids, with a fully discontin-
uous permeability tensor in the discretization is a major challenge. Several methods
have already been developed and implemented within industry standard reservoir
simulators for non-orthogonal grids (e.g., Multi-Point Flux Approximation (MPFA)
“0O” method). However, it has been noticed that some of the numerical methods
for elliptic/parabolic equations may violate the maximum principle (i.e., lead to
spurious oscillations), especially when the anisotropy is particularly strong. It has
been found that the oscillations are closely related to the poor approximation of the
pressure gradient in the flux computation. Therefore, proposed methods must cor-
rectly approximate underlying operators, satisfy a discrete maximum principle and
have coercivity properties. Furthermore, the method must be robust and efficient.
This paper presents the meshless multi-point flux approximation of second order
elliptic operators containing a tensor coefficient. The method is based on a pressure
gradient approximation commonly used in meshless methods (or Smoothed Particle
Hydrodynamics method—SPH method). The proposed discretization schemes can
be written as a sum of sparse positive semidefinite matrix and perturbation matrix.
We show that convergence rates are retained as for finite difference methods
O(h*), 1 < a < 2, where h denotes the maximum particle spacing. The results
are presented, discussed and future studies are outlined.
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1 Introduction

The multi-point flux approximation, MPFA, is a discretization method developed
by the oil industry to be the next generation method in reservoir simulations and it
can be applied to different types of mesh, for example using quadrilateral meshes as
in Aavatsmark et al. [2, 3], Aavatsmark [1], Edwards and Rogers [12], Klausen and
Russell [17] or unstructured grids as in Edwards [11] to approximate the following
operator:

L(p () =-VM(r.p()Vp(r)—g(),. Vre Q CR (1)

where p (r) is the pressure, M (r, p (1)) = (maﬂ) is the mobility tensor, g (r) is the
known sink / source term, n = 1, 2, 3 is the spatial dimension. Consider the operator
in the expression (1) with a piecewise constant mobility M (r, p (r)) € L, (£2).

Several methods have already been developed and implemented within an
industry standard reservoir simulator for non-orthogonal grids. The methods are
known as the O-method, U-method and the L-method for quadrilateral meshes in
two and three dimensions (see [1, 12, 18]. The MPFA methods are not restricted to
quadrilateral meshes and have been investigated in Edwards [11]. It has been noticed
that some of the numerical methods for elliptic/parabolic equations may violate the
maximum principle (i.e. lead to spurious oscillations). Therefore, proposed methods
must satisfy a discrete maximum principle to avoid any spurious oscillations. The
discrete maximum principle for MPFA methods was discussed, e.g., in Edwards and
Rogers [12], Mlacnik and Durlofsky [28], Lee et al. [19].

However, non-physical oscillations can appear in the developed multi-point flux
approximations when the anisotropy is particularly strong. It has been found that the
oscillations are closely related to the poor approximation of the pressure gradient in
the flux computation. In this paper, the meshless multi-point flux approximation for
the general fluid flow in porous media is proposed. The discretization scheme is
based both on the generalized Laplace approximation and on a gradient approxima-
tion commonly used in the Smoothed Particle Hydrodynamics (SPH) community for
thermal, viscous, and pressure projection problems and can be extended to include
higher-order terms in the appropriate Taylor series. The proposed discretization
scheme is combined with mixed corrections, which ensure linear completeness. The
mixed correction utilizes Shepard Functions in combination with a correction to
derivative approximations. Incompleteness of the kernel support combined with the
lack of consistency of the kernel interpolation in conventional meshless methods
results in fuzzy boundaries. In corrected meshless methods, the domain boundaries
and field variables at the boundaries are approximated with the improved accuracy
comparing to the conventional SPH method. The resulting schemes improve the
particle deficiency (kernel support incompleteness) problem. Although, the analysis
of the different discretization schemes in this paper is restricted to 2D (i.e., n = 2),
the results can be applied in any space.
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2 Fluid Flow Modelling Using SPH

To calculate the second derivatives of F, several methods were proposed (Chen et al.
[7]; Bonet and Kulasegaram [4]; Colin et al. [9]). However, second-order derivatives
can often be avoided entirely if the PDE is written in a weak form. It is important
to note that approximations using second-order derivatives of the kernel are often
noisy and sensitive to the particle distributions, particularly for spline kernels of
lower orders.

Brookshaw [6] proposed an approximation of the Laplacian for an inhomoge-
neous scalar field m (r) that only includes first order derivatives:

(V (m (r;) VF (1)) =
=" Vo [F(t) —F ()] (xy —11) - (my + my) V2W (t; — 11, h) -
rph Iy — x|

where V4, is the volume of a particle J, ||o|| is the Euclidean norm throughout this
paper, F (r) is the unknown scalar or vector field (e.g., pressure p) Vr € Q C R”,
my=m(r;), r; € Q CR"and my = m(xry), r; € Q C R” are the field coefficients,
W (r; — 1y, h) is the Kernel.

This Laplacian approximation was used by Brookshaw [6], Cleary and Mon-
aghan [8], Jubelgas et al. [16] for thermal conduction, Morris et al. [29] for
modelling viscous diffusion, Cummins and Rudman [10] for a vortex spin-down
and Rayleigh-Taylor instability, Shao and Lo [33] for simulating Newtonian and
non-Newtonian flows with a free surface, Moulinec et al. [20] for comparisons of
weakly compressible and truly incompressible algorithms, Hu and Adams [15] for
macroscopic and mesoscopic flows, Zhang et al. [34] for simulations of the solid-
fluid mixture flow. There are several numerical SPH schemes commonly used in
numerical simulations for a scalar inhomogeneous field m (r). High order accuracy
approximations can also be derived by using SPH discretization based on higher
order Taylor series expansions [13, 14, 22, 31]. However, it is usually required
that the discrete numerical schemes can reproduce linear fields [5, 23, 27, 30] or
polynomials up to a given order [21].

The correction terms to Brookshaw’s formulation, which improve the accuracy
of the Laplacian operator near boundaries, were proposed by Schwaiger [31]:

(V (m(ry) VF (r)))) =
r;! —_r)- _
BB (xy—ry) - (my +my) VW (r; — 11, h)
. QEW: Vi, [F (ry) = F (r7)] A - 3

r
= AV ln () F (1)) = F (1) (Veam (1)) + m (51) (VaF (r))] N}
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N () = | D Ve, VaW (x; =11, h) )
er.h
(VoF () = Y Vi, [F(x)) = F (x))] VAW (x; — 11, h) )
er.h
VaW = A VW, Ag = | D Vi, 1§ — 2] VW (x; —x1.h) (6)
er.h

where n = 1, 2, 3 is the spatial dimension, the gradient approximation (V,F (r;)) is
computed using (5) and the tensor I'yg is defined by

ocﬁ (l'[) - Z Vr/

o ey — )

r, V YWy —r,h) (r? —rf‘) (r,ﬂ —r’,g) ™

Throughout this paper, the summation by repeated Greek indices is assumed. For
multi-dimensional problems, the correction tensor I'pg (r;) is a matrix. If the particle
r; has entire stencil support (i.e., the domain support for all kernels W (r; — 1y, h)
is entire and symmetric) then I'wg (r;)) =~ 8up, S4p is the Kronecker symbol.
Unfortunately, I'yg (r;) deviates from .4 for the provided algorithm and, hence,
it is important to minimize this deviation from J,4 in the new methods.

Remark 1 1t is important to note that correction tensors I'ys and Ayg are the same
tensors. Indeed, using the following identity:

[ — 9] (r) —x]) V, W (x; =17, h) _
o e, —ri° ®)
1dw [r§ —r¥]

=V W(y—r1,h Ya
h dz |ty -] & =rr.h).

where z = |ry—ry| /h, Vr;,r; € Q C R", the following relations can be
established:
—r) VW(r]—rl,h) N
Lop (1) = Z Vr/ ! (x5 —r7) (rjﬂ _r/I3) =
erh ey = rill” )
=Y Vi, [X5 = 2] VeW (1) — 1. h) = Agp ()
erh

To calculate coefficients in the scheme (3)—(7) is a trivial task. However, in general,
it should be performed at each Newton-Raphson iteration in the non-linear case
(i.e., m = m (F)). It also requires additional efforts to invert the correction matrix
Ay (inversion of n X n matrices per each particle, where n = 1,2,3 is the
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spatial dimension) and storage cost of VoW (r; —r;, k), VyW (r; —r;, k), and

corresponding I',;! = A_! per each particle.

2.1 Kernel Property

A central point of the SPH formalism is the concept of the interpolating function (or
kernel) through which the continuum properties of the medium are recovered from
a discrete sample of N points with prescribed mass m; (for conventional Lagrangian
methods) or volume V; (for fully Eulerian methods). In the Lagrangian description,
these points move according to the specified governing laws, whereas these points
are fixed in space for the Eulerian description. A good interpolating kernel must
satisfy a few basic requirements: it must tend to the delta function in the continuum
limit and has to be a continuous function with definite first derivatives at least. From
a more practical point of view it is also advisable to deal with symmetric finite
range kernels, the latter is to avoid N? calculations. In this paper, the cubic spline is
used:

3 3
1- zz+4z3,0§z§1

= 2
Wh = 411(2_1)3’ l<z<2 (10)
0,z>2
310 1
where z = |’ —r| /b, ¥Vr,r € Q CR"and E = _, ., in1D(ie,n=1),
2 T m

2D (i.e.,n = 2) and 3D (i.e., n = 3), respectively.

3 Meshless Transmissibilities

The well-known two-point flux approximation (TPFA) is a numerical scheme used
in most commercial reservoir simulators for the pressure Eq. (1): L(p) = 0.
The net flow rate of a fluid (single phase and component fluid) from a cell
into neighbouring cells is obtained by summing fluxes over the neighbouring
cells J:

q= ZTJI [p () —p D], Ty =0 (1)
J

where 7,1 is the transmissibility between cells J and I, q is the total flux throggh
the boundary of the control volume located at the point r;. The transmissibility 7,
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defined at an interior face f between cells J and [ is calculated as

~ 1

" (Lot Ll

SfMI'fJ SfMI'fJ

12)

where r7; and ry; are the vectors from centres of cells J and / to the face f
respectively, Sy is the area vector of the face f. In the case of M-orthogonal
mesh, when MS; and [r; —r;] are collinear, the expression (11) reduces to the
form of the central finite difference scheme and approximates the flux with
O (h?) order of accuracy for any mobility tensor field M. The expression (12)
ensures that the flux into the adjoining region is continuous [8]. The TPFA
scheme (11) is unconditionally monotone scheme. It is clear that the expression
(3) cannot be written in the form (11) due to terms (V, (m (r;) F (r;)))N* and
F (r;) (Vom (r;))N®. Hence, it is only possible in this case to introduce a definition
of a partial meshless transmissibility between particles r; and r; as follows:

F_l
T(,xr) =Ty = PP

Z v (x;—r1p)-(my+my)- VW (x; — 17, h)

5 — VrijVW (I'J — Iy, ]’l) N¢
[y — x|

13)

It is important to note that transmissibilities 7; and 7"]1 have different physical units.
Furthermore, it raises the question wherever the proposed scheme (3) is monotone.
Hence, let 2 be a bounded domain in R” (a compact) with a piecewise boundary
9Q = I'p U Ty, Tp N Ty = @, where measure i (Ip) # 0, I'p is the part of the
boundary corresponding to the Dirichlet boundary condition, I'y is the part of the
boundary corresponding to the Neumann boundary condition. In the following sec-
tions this question will be analysed in details for some modified schemes by stating
that the solution of the equation for M (r, p (r)) = m (r,p (r)) - L m (r,p (r)) > O:

—VM(r,pr)Vp(r) =g, Vre Q CR" (14)

is non-negative subject to its existence and that the solution p* for each kth—Picard
iteration is a non-negative vector and the linear system is solved exactly, I is the
unit tensor. Modifications were introduced due to the following theorem.

Theorem 1 The discretization scheme ((3)—(7)) is at least O(h*), 1 < w < 2
order of accuracy in average for any scalar mobility field m (r,p (r)) € C? () > 0
everywhere within the numerical domain 2 sufficiently far away from the boundary

Q.
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Proof Using Taylor series expansions about a point r; and the relation (5), the
following relations can be written:

F (l'j) =F (1‘1) + F,a (rl) [l‘? - l'?] +

1 15
2 Fa () [~ ] [ -]+ O (1) )
m(r;) =m(r) +mg (ry) [§ — 1] + O (1?) (16)
my (F (t1)), = mFq (r7) + O (h?) (17)
D Ve [X) 1] VAW (0 =11 k) = 8ye. Yy (18)
er.h

Yo _

] I VWE D) g Ve (19)

ey —v])?

Substituting relations ((15)—(17)) into the scheme (3) and taking into account the
relations (18) and (19), it leads to the following relations:

Z Vy, [F (r)) —F (r))] (xy —xp) - (my +my) - VW (x; =1, h) _

rph Iy —rs?

= om () Fa () 3 Vi [ — ] & 70 VW = )
Qe ry — x|

+m (r) Fay (0) Y Ve, [0 =15 ] [x) —1]] (xy—r)- VW (r,2 —rh)  (20)
Qe x; — x|

tmg () Fy (0) Y Ve, [1f —xf] [1] =] (& =) VW("JZ— r;, h)
Sy r; —x]]

+0 (1?)

[(Voc (m (rl) F (I’]))) - F (I’]) (Vocm (1‘1)> +m (1'1) (VQF (1'1))] — (21)

= 2m (r) F o (r7) + O ()

The claim of the theorem can be seen from the comparison of relations (20) and (21)
and the fact is that

v _ WY v _ P
v, [ - & ) VW @by

er.h

=N¥ Va 22
s — el 22)
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and

Z ‘ (rf—rf) VW (x; — 17, h)
Vr —r, 7 — 1] =

Ewil ey — i) (23)
= 6y +O(h“’), l<w<?2, Vy,a

for all points r; located sufficiently far away from the boundary d2. The order
of accuracy O (h”) has to be understood in statistical average sense with some
dispersion around the average value. The scheme ((3)-(7)) does not require exact
expressions for the gradient (i.e., spatial derivatives) of the mobility field V, m (r, p)
to keep a higher order of accuracy for any mobility field. Hence, this scheme can be
used with the a discontinuous (or piece-wise) mobility field m (r,p (r)) € L, ().
The case of a discontinuous mobility field is considered below.

4 Discontinuous Mobility Case

Using the same idea behind the expression (13) and heterogeneous discontinues
mobility field m (r), it can be shown that the effect of requiring the flux into
the adjoining region to be continuous leads to the equivalent to the expression
(13) in terms of the effective mobility between particle r; and r; (clearly and
Monaghan [8]):

P L (r;) -m(xy) )
"= (m(rf) + ) @9

It can be seen that the effective mobility (m (r;) 4+ m (r;)) does not guarantee the
continuity of the flux between the particles with discontinuous mobilities. Taking
this into account and applying the relation (24), the final discretization scheme for
the discontinuous scalar mobility field can be written as

(Ve (m (r) VoF (1)) =

4-T, —r%) - VoW (r;—r11,h)
i 3" Ve -m - [F (r)) — F ()] (x5 —xf) - T
n Qe [y — 1] (25)
2. Flgﬂl .
- > Ve, oy [F (xg) = F ()] VAW (ot — 11, h) | N®
n

er.h

This numerical scheme is the final one for the heterogeneous discontinuous isotropic
scalar mobility field, which is used for numerical tests throughout this paper.
It ensures that the flux is automatically continuous between particles with the
reasonable accuracy. Multiple regions with substantially different fluid properties
and specific mobilities can then be simulated.
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The analytical analysis of the aforementioned scheme for a fully anisotropic
mobility tensor field is complicated. However, the numerical analysis reveals that
these schemes do not produce a reasonable approximation for a linear pressure field
for the anisotropic mobility tensor field. The following section describes a scheme
applicable to a fully anisotropic mobility tensor field.

4.1 Anisotropic Case

Generally speaking, any second order tensor can be decomposed into the spherical
and deviatorical parts. In the case of continuum mechanics, the decomposition of
the second order tensor (e.g., stress tensor or strain tensor) into their volumetric
and deviatoric components have certain physical justifications. This step is done in
order to distinguish between volumetric and shear responses. Hence, any mobility
field M (r, p (1)) can also be split as:

M(r,p (r) = M* (r,p (1) 1+ M” (r,p (r)), M° (r,p (r) = ;tr M(r))  (26)

where M5 (r, p (r)) - 1is the spherical part of the mobility tensor, M (r, p (r)) is the
deviatoric part of the mobility tensor. In addition, the Darcy velocity can be written
as

v(r)=v(r) + v’ (1),
VS (r) = —M° (r,p (r)) Vp (r), 27)
VP (r) = —=M” (r,p () Vp (r)

where v (r) is the volumetric velocity, v (r) is the deviatoric velocity. The problem
discussed in this paper is the discretization of the elliptic operator:

Vvr) = Vv @) + VW () =g(), Vre Q Cc R" (28)

Hence, the discretization scheme can be constructed in two steps. The first step is to
discretize the volumetric term Vv® (r) following the scheme (25):

~(V¥ () =
4-Ty) . )
S Vb [F ) B ) )V e
n Qrph ||I'J — 1'1” (29)
2-Ty S )
- ZVr,-M (r7) - [F (r)) = F (c)] VW (r; —r, h) | N®
n

er./x
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where Mfﬂ is defined as

M® (x)) - M° (xp)
s
= (o oy 905 4) 0
The second step is to discretize the deviatoric term Vv? (r) as follows:
(VW2 () = D Vi, [(v" () = (V2 (e)] V*W (x) — 11, h) 31)
er h

(V2 (r) = -M?(Vp (1))

(VP (D) =D Ve, [p (&) = p (e)] V*W (x; — 11, h) (32)

er h

The numerical scheme (31)—(32) can be directly applied to discretize the original
Laplace operator (1) with the anisotropic mobility tensor M (r,p (r)) € L, (2).
This scheme provides an exact answer for the linear pressure distribution in
both homogeneous and heterogeneous (linear) mobility fields. Figure 1 shows the
comparison between numerical and analytical values of the generalized Laplace
operator for the linear pressure distribution p (r) = 11 -x 4+ 5-y + 17 and for
mobility tensors defined as

w)Mmz(gz)

104+10-x+6-y 24+2-x4+2-y
24+2-x+2-y 44+4.-x+y

(33)
w)Mmz(

The observed error is of a machine tolerance, which confirms theoretical claims
by numerical experiments. Incompleteness of the kernel support combined with the

a _xwo" b

-147
i 47 +
4 L
i i 147
147
147
147
47 |
47

_6 " i i i
0 100 200 300 400 500 0 100 200 300 400 500

Fig. 1 Comparison between analytical and numerical values for the generalized Laplace operator
for the linear pressure and (a) homogenous mobility field, and (b) heterogeneous mobility field
defined in (33)
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Fig. 2 Comparison between analytical and numerical values for the generalized Laplace operator
for the quadratic pressure and homogenous mobility field defined in (33) case (a)

lack of consistency of the kernel interpolation in conventional meshless method
results in fuzzy boundaries. For the scheme (31)—(32), the error starts occurring
at the boundary particles for quadratic and higher polynomials of the pressure
distribution. Figure 2 demonstrates the values of the generalized Laplace operator
for the homogeneous mobility field in (33) case (a) for the quadratic pressure

1
distribution p (r) = 5 (11 459+ 17). In spite of perfectly adequate general
discretization properties, the numerical scheme (31)-(32) is not unconditionally
monotone. Knowledge of the capabilities and limitations of these different numeri-
cal schemes leads to a better understanding of their impact on various applications

and future research on improving and extending modeling capabilities. Hence, it is
important to make here a few remarks.

Remark 2 The aforementioned schemes (25) and (31)—(32) can be written in the
form:

(L(p ) = Z T4 ps. Z T =0 (34)

where operator L is defined by either M5 or M” and T% is the meshless transmissi-
bilities. In the case of the conventional Laplace operator V2p (i.e., m (r;) = 1), it
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can be derived Vr;:
(@) TH =0,
(b) ZZ: T [rs—r/] =0, (35)
©, X s nl-frenl #1

This follows from the fact that the Taylor expansion of the pressure around the point
r; can be written as

p(rs) =p()+ Vp () [rs—r]+

+; ks —r]” -V ® Vp () - [rs — 1] + O (k)

(36)

The constraints (35) lead to significant differences between proposed meshless
multi-point flux approximation schemes and meshfree finite difference approxima-
tion schemes (see, Seibold [32]). It is important to recall here that meshfree finite
difference approximation schemes, which satisfy the constraints (a)—(b) and

 —
ZZT%[rs—n]-[rs—n]Tzl
s

are based on the following steps: (1) to define the neighbours list for each point (it is
important to choose more neighbours than constraints); (2) to select unique stencil
which can be satisfied addition requirements (e.g., monotonicity Seibold [32]).

Remark 3 The scheme (31)—(32) can be applied directly to the Darcy velocity (27)
with the full mobility tensor. Furthermore, the following theorem is valid for the full
mobility tensor:

Theorem 2 The discretization scheme (31)—(32) is at least of O (hz) order of
accuracy for any differentiable heterogeneous full mobility tensor field everywhere
within the numerical domain Q.

The proof of Theorem 2 can be seen from the construction of the scheme (31)—(32).
However, the scheme (31)—(32) is not unconditionally monotone but as was shown
by Seibold [32] in case of meshfree finite difference methods, it is possible to have
positive stencils in the scheme (31)—(32), i.e. all neighbor entries are of the same
sign.

Remark 4 The schemes (25) and (31)—(32) do not require exact expressions for
the gradient (i.e., spatial derivatives) of the mobility field V,Myg (r,p (r)) =
Mg,y (r,p (1)) to keep O(h*), 1 < a < 2 order of accuracy) for any mobility
field M (r,p (r)) € L, (R2). Hence, an important feature of reservoir simulations
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that the mobility field M (r, p (r)) is to be a discontinuous (or piece-wise function)
is allowed in this scheme.

Remark 5 Applying aforementioned meshless discretization schemes to the elliptic
problem L (p) = 0 results in formulating a general non-linear system which can be
solved by iterative Newton-Raphson or Picard methods leading to the sequence of
linear systems with the matrix A = (aij)1 <i<ni<j<n € R

Ap=b (37)

where the pressure vector p contains approximations to the pressure p (r). It is
assumed that L (p (r)) = 0 admits a unique solution with a discontinuity perme-
ability tensor. The /-th row of the matrix A consists of the stencil corresponding to
the point r;. Let the unknowns be labeled by an index set N same as particles labels.
We consider square matrices A € R™" .

Definition 1 A matrix A is called essentially irreducible if every point is connected
to a Dirichlet boundary point.

The matrix A resulting from the meshless discretization is a essentially irreducible,
which is guaranteed by selecting Kernel supports and the Heine-Borel theorem.

Remark 6 Meshless multi-point flux approximation matrices are in general non-
symmetric. Consider two points r; and r; with the corresponding smoothing lengths
h; and h;. Since each stencil entry depends on the smoothing length, the point r;
influences the matrix entry aj; if ||r; —r;|| < A - iy whereas r; does not influence
the matrix entry aj; if ||r; —r7|| > A - by, where A is the scaling factor defined
by the shape of the Kernel function. A number of symmetrization methods can be
used to overcome this problem. In this paper, the homogeneous smoothing length
hy = hy, VYI1,J is used.

This ends the derivation of a meshless multi-point flux approximation method
that can be used to solve different boundary value problems.

5 Numerical Experiments

The verification process is intended to provide, and quantify, the confidence in
numerical modelling and the results from the corresponding simulations. Therefore,
in order to be confident that the proposed meshless multi-point flux approximation
provides the announced accuracy of the elliptic operator (1), it was tested for several
functions and different media (diagonal and non-diagonal mobility tensors).

In this section, the results of the numerical experiments using the proposed
scheme in Sect.2.1 are presented, which confirm some of the theoretical results
from the previous sections. The problems are solved using 2D (i.e., n = 2) square
domains (see Fig.3) with Dirichlet boundary conditions. Following the work by
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Fig. 3 Numerical domains with different particle distributions

Lukyanov [24-26], the inhomogeneous Dirichlet test cases are considered for the
verification purpose in this paper subject to the assumption that g (r) = 0, Vr €
Q C R?, linear and quadratic pressure boundary conditions:

p)=10-x+12-y+1,Vr= (r,y) € 0Q C R?,

1 38
p(r):2~(11-x2+12'y2+1),\7’r:(x,y)eaQCRZ (38)

The rectangular 2D (i.e., n = 2) domain Q@ = {(x,y) € [0;L] x [0; H]} C R" of
width L = 4.9 m and height H = 4.9 m with and without a circle inclusion are
considered (see, Fig. 3 cases (a) and (b), respectively).

The components of the heterogeneous mobility field in ST units are defined using
the normal distribution with the mean mobility tensor M (r) and standard deviation
matrix D (r):

M (r) = ( 12 5)’ D) = ( 0.1 0.2) (39)

It is clear that the pressure field depicted at Figs. 4 and 5 does not have any spurious
oscillations and, hence, satisfies a discrete maximum principle. This suggests that
the meshless multi-point flux approximation provides a good approximation of the
pressure gradient in the flux computation at least for this study.

Convergence rates are established by running for five levels of particles refine-
ment, starting with the particle distance 7 = 0.245 m on level 1 and refining by
a factor of 2 for each successive level. Assuming that the error takes the form
C,h®, where C, and «, are determined to give the best least square fit the data.
We consider two types of particle distributions: (a) uniform particle distribution and
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Fig. 5 Different approximate solutions of Dirichlet boundary value problems with the Laplace
operator (1) and nonlinear boundary conditions: (a) boundary and internal pressure distribution,
(b) comparison of solutions for different particle distributions

(b) non-uniform particle distribution that is a random perturbation of the uniform
particles. The results for the Dirichlet problems using the numerical domain Fig. 3
cases (a) are presented in Table 1. Quadrature rules are used for calculating the error:

lp = pull* =D Ve (p (Ex) — pu ()’ (40)
193

that is, the results presented for the pressure. The approximation rate for the pressure
is between O (h) and O (h?). Although, there is no solid proof that the proposed
scheme is unconditionally monotone. Numerical results indicate that a relatively
small spacing between particles leads to the unconditional monotonicity condition.
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Table 1 Approximation

X X Tensor Particle distribution | C, a,
rates for the relatively simple Di | Unif 0348 1 1.991
Dirichlet problem 1agona ntorm ) ’
lip = pall < Coh® Diagonal Weakly distorted 0.231 |1.923
Diagonal Highly distorted 0.257 | 1.732
Non-diagonal | Uniform 0.391 | 1.990

Non-diagonal | Weakly distorted 0.272 | 1.919
Non-diagonal | Highly distorted 0.293 | 1.727

6 Conclusion

Several methods have been proposed to address the difficulties involved in calculat-
ing second-order derivatives with SPH for heterogeneous scalar mobility fields by
calculating the Hessian or requiring that the discrete equations exactly reproduce
quadratic or higher order polynomials. In this paper, the proposed method provides
a simple discretization of the generalized Laplace operator occurring in modeling
fluid flows in anisotropic porous media, anisotropic viscous fluids.

The resulting meshless multi-point flux scheme not only ensures first order
consistency O(h) but also improves the particle deficiency (kernel support incom-
pleteness) problem. The proposed scheme was tested by solving an inhomogeneous
Dirichlet boundary value problem for the generalized Laplacian equation with good
accuracy. Furthermore, including gradient corrections significantly improves the
Laplacian approximation near boundaries, although this requires an n x n matrix
inversion for each particle.

The discretization was tested for several boundary value problems using a variety
of boundary conditions. Approximation rates of the discretization scheme is smaller
with particle disorder; however, the solution remains robust. It is possible that these
rates may be improved with different approximations of the spherical part of the
Darcy velocity.

References

1. I. Aavatsmark, An introduction to multipoint flux approximations for quadrilateral grids.
Comput. Geosci. 6, 405-432 (2002)

2. 1. Aavatsmark, T. Barkve, O. Bge, T. Mannseth, Discretization on unstructured grids for
inhomogeneous, anisotropic media. Part I: derivation of the methods. Part II: discussion and
numerical results. SIAM J. Sci. Comput. 19, 1700-1716 (1998)

3. I. Aavatsmark, T. Barkve, T. Mannseth, Control-volume discretization methods for 3d quadri-
lateral grids in inhomogeneous, anisotropic reservoirs. SPE J. 3, 146-154 (1998)

4.]. Bonet, S. Kulasegaram, Correction and stabilization of smooth particle hydrodynamics
methods with applications in metal forming simulations. Int. J. Numer. Methods Eng. 47,
1189-1214 (2000)

5.J. Bonet, T.S.L. Lok, Variational and momentum preservation aspects of smooth particle
hydrodynamic formulations. Comput. Methods Appl. Mech. Eng. 180, 97-115 (1999)



Meshless Multi-Point Flux Approximation 83

6.

7

8.

9.

10.
11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

217.

28.

29.

30.

31.

L. Brookshaw, A method of calculating radiative heat diffusion in particle simulations. Proc.
Astron. Soc. Aust. 6, 207-210 (1985)

. J.K. Chen, J.E. Beraun, C.J. Jih, Completeness of corrective smoothed particle method for

linear elastodynamics. Comput. Mech. 24, 273-285 (1999)

P.W. Cleary, J.J. Monaghan, Conduction modelling using smoothed particle hydrodynamics. J.
Comput. Phys. 148, 227-264 (1999)

F. Colin, R. Egli, EY. Lin, Computing a null divergence velocity field using smoothed particle
hydrodynamics. J. Comput. Phys. 217, 680-692 (2006)

S.J. Cummins, M. Rudman, An SPH projection method. J. Comput. Phys. 152, 584-607 (1999)
M.G. Edwards, Unstructured, control-volume distributed, full-tensor finite volume schemes
with flow based grids. Comput. Geosci. 6, 433-452 (2002)

M.G. Edwards, C.F. Rogers, Finite volume discretization with imposed flux continuity for the
general tensor pressure equation. Comput. Geosci. 2, 259-290 (1998)

J. Fang, A. Parriaux, A regularized lagrangian finite point method for the simulation of
incompressible viscous flows. J. Comput. Phys. 227, 8894-8908 (2008)

D.A. Fulk, D.W. Quinn, An analysis of 1-d smoothed particle hydrodynamics kernels. J.
Comput. Phys. 126, 165-180 (1996)

X.Y. Hu, N.A. Adams, A multi-phase SPH method for macroscopic and mesoscopic flows. J.
Comput. Phys. 213, 844-861 (2006)

M. Jubelgas, V. Springel, K. Dolag, Thermal conduction in cosmological SPH simulations.
Mon. Not. R.. Astron. Soc. 351, 423-435 (2004)

R.A. Klausen, T.F. Russell, Relationships among some locally conservative discretization
methods which handle discontinuous coefficients. Comput. Geosci. 8, 341-377 (2004)

S.H. Lee, L.J. Durlofsky, M.F. Lough, W.H. Chen, Finite difference simulation of geologically
complex reservoirs with tensor permeabilities. SPE Reservoir Eval. Eng. 1, 567-574 (1998)
S.H. Lee, P. Jenny, H.A. Tchelepi, A finite-volume method with hexahedral multiblock grids
for modeling flow in porous media. Comput. Geosci. 6, 353-379 (2002)

E.-S. Lee, C. Moulinec, R. Xu, D. Violeau, D. Laurence, P. Stansby, Comparison of weakly
compressible and truly incompressible algorithms for the SPH mesh free particle method. J.
Comput. Phys. 227, 8417-8436 (2008)

W.K. Liu, S. Jun, Multiple-scale reproducing kernel particle method for large deformation
problems. Int. J. Numer. Methods Eng. 41, 1339-1362 (1998)

G.R. Liu, M.B. Liu, Particle Hydrodynamics: A Meshfree Particle Method (World Scientific
Publishing, Singapore, 2003), 449 p.

A.A. Lukyanov, Numerical modelling of the material failure under shock loading using particle
method, Izvetiya Tula State University. Estestvennonauchn. Ser. 1, 54—-65 (2007)

A.A. Lukyanov, Meshless upscaling method and its application to a fluid flow in porous media,
in ECMOR XII Conference Proceedings (2010), Oxford (2010)

A.A. Lukyanov, Meshless multi-point flux approximation of fluid flow in porous media, in SPE
Reservoir Simulation Symposium (2011), SPE (2011), 141617 pp.

A.A. Lukyanov, Adaptive fully implicit multi-scale meshless multi-point flux method for fluid
flow in heterogeneous porous media, in ECMOR XIII Conference Proceedings (2012), Biarritz
(2012)

A.A. Lukyanov, V.B. Pen’kov, Numerical simulation of solids deformation by a meshless
method. Vestn. Samar. Gos. Univ. Estestvennonauchn. Ser. 6, 62-70 (2007)

M.J. Mlacnik, L.J. Durlofsky, Unstructured grid optimization for improved monotonicity of
discrete solutions of elliptic equations with highly anisotropic coefficients. J. Comput. Phys.
216, 337-361 (2006)

J.P. Morris, P.J. Fox, Y. Zhu, Modeling low Reynolds number incompressible flows using SPH.
J. Comput. Phys. 136, 214-226 (1997)

P. Randles, L. Libersky, Smoothed particle hydrodynamics: some recent improvements and
applications. Comput. Methods Appl. Mech. Eng. 139, 375408 (1996)

H.F. Schwaiger, An implicit corrected SPH formulation for thermal diffusion with linear free
surface boundary conditions. Int. J. Numer. Methods Eng. 75, 647-671 (2008)



84 A.A. Lukyanov and C. Vuik

32. B. Seibold, M-matrices in meshless finite difference methods, Dissertation, Department of
Mathematics, University of Kaiserslautern, 2006

33. S. Shao, E.Y.M. Lo, Incompressible SPH method for simulating newtonian and non-newtonian
flows with a free surface. Adv. Water Resour. 26, 787-800 (2003)

34. S. Zhang, S. Kuwabara, T. Suzuki, Y. Kawano, K. Morita, K. Fukuda, Simulation of solid-fluid
mixture flow using moving particle methods. J. Comput. Phys. 228, 2552-2565 (2009)



Multiscale Petrov-Galerkin Method for
High-Frequency Heterogeneous Helmholtz
Equations

Donald L. Brown, Dietmar Gallistl, and Daniel Peterseim

Abstract This paper presents a multiscale Petrov-Galerkin finite element method
for time-harmonic acoustic scattering problems with heterogeneous coefficients in
the high-frequency regime. We show that the method is pollution-free also in the
case of heterogeneous media provided that the stability bound of the continuous
problem grows at most polynomially with the wave number k. By generalizing
classical estimates of Melenk (Ph.D. Thesis, 1995) and Hetmaniuk (Commun.
Math. Sci. 5, 2007) for homogeneous medium, we show that this assumption of
polynomially wave number growth holds true for a particular class of smooth
heterogeneous material coefficients. Further, we present numerical examples to
verify our stability estimates and implement an example in the wider class of
discontinuous coefficients to show computational applicability beyond our limited
class of coefficients.

1 Introduction

The time-harmonic acoustic wave-propagation is customarily described by the
Helmbholtz equation, which is of second-order, elliptic, but indefinite. Its numerical
solution therefore exhibits severe difficulties especially in the regime of high wave
numbers k. It is well-known that the mesh size & required for the stability of a
standard finite element method must be much smaller than a mesh size H which
would be sufficient for a reasonable representation of the solution. The phenomenon
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that the ratio H/h tends to infinity as k grows, is known as the pollution effect [1].
A method is referred to as pollution-free, if # and H have the same order of
magnitude and so proper resolution of the solution—usually a certain fixed number
of grid points per wave length—implies quasi-optimality of the method.

When studying acoustic wave-propagation, it is often assumed to have constant
material properties such as density and speed of sound, while in real complex
materials, such as composites, these may be heterogeneous. Therefore, in this paper
we study a multiscale Petrov-Galerkin method for the Helmholtz equation with large
wave numbers k and possibly heterogeneous material coefficients as a generalization
of [7, 16]. Standard first-order piecewise polynomials on the scale H serve as trial
functions in this method, whereas the test functions involve a correction by solutions
to coercive cell problems on the scale h. The size of the cells is proportional to
H, where the proportionality constant m—the oversampling parameter—can be
adjusted. Typically m = log k, depending on the stability of the problem, leads to a
quasi-optimal method. These local problems are translation invariant. Therefore, in
periodic media only a small number of corrector problems must be solved depending
on the number of local mesh configurations.

The stability of the method requires that the stability constant of the continuous
operator depends polynomially on k. Such results are very rare in the literature even
for the case of homogeneous media. We shall emphasize that such an assumption
does not hold true in general [2]. The first positive estimates of this type go back
to [14] for convex planar domains with pure Robin boundary. They were later
generalized to other settings and three spatial dimensions in [4, 11]. For instance,
in the particular case of pure impedance boundary conditions with Q2 = T, it
was proved in [4, 6, 14], by employing a technique of Makridakis et al. [12], that
the inf-sup constant is bounded, i.e. y(k, 2,A, V?) < k. Further setups allowing
for polynomially well-posedness in the presence of a single star-shaped sound-
soft scatterer are described in [11]. For multiple scattering and, in particular, for
scattering in heterogeneous media, the situation is completely open. To show that
the assumption is satisfiable for non-trivial heterogeneous media, in this work we
determine a class of smooth heterogeneous coefficients that allow for explicit-in-k
stability estimates.

1.1 Heterogeneous Helmholtz Problem

We begin with some standard notation on complex-valued Lebesgue and Sobolev
spaces that applies throughout this paper. The bar indicates complex conjugation
and i is the imaginary unit. The L? inner product is denoted by W W@ =
fﬂ vwdx. The Sobolev space of complex-valued P functions over a domain ®
whose generalized derivatives up to order / belong to L7 is denoted by W"”(w) and
H'(w) := W'?(w). Further, the notation A < B abbreviates A < CB for some
constant C that is independent of the mesh-size, the wave number k, and all further
parameters in the method like the oversampling parameter m or the fine-scale mesh-
size h; A &~ B abbreviates A < B < A.
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We now begin with some notation and problem setting. Let & C R? be an open
bounded Lipschitz domain with polyhedral boundary for d € {1,2,3}. We wish to
find a solution u that satisfies

—divA(x)Vu — K*V?(x)u = f in Q, (1)

along with the boundary conditions

u=0onI)p, (2a)

A(Xx)Vu-v =0on Ty, (2b)

Ax)Vu-v —ikB(x)u = g on I'g. (2¢)

Here, v denotes the outer normal to Q2 = I'p U I'y U I'g, where the boundary

sections are assumed disjoint. We suppose that |'g| > 0, but allow the other portions
of the boundary to have measure zero. Although the results in this paper hold for a
weaker dual space here we suppose f € L>(R2) and g € L?(T'g). For the coefficients,
we suppose A(x), V2(x) € W1*(Q), and B(x) € L () are real valued. Moreover,
we suppose there exist positive constants A,uin, Amaxs Bmins Bmax> Vinin, and Viax
independent of k such that for almost all x € 2 we have

Amin SA(-X) =< Amaxv (33)
,Bmin Sﬂ(x) = ﬁmaxv (3b)
V2 <Vix) < V2 . (3c)

We denote the space
Vi={ueH(Q)|u=0o0nTp}
and denote the norm weighted with A(x), V(x), and k to be for o C Q

2

“

1
el o = \/ KVl + |43V

@)

where if o = €, we simply write ||u|,. We have the following variational form
corresponding to (1): Find u € V such that

a(u,v) = (f,v)2@q) + (& V)2, forallv e V, 5)

where the complex-valued sesquilinear form a : V x V — C is given by
a(u,v) = (AxX)Vu, Vv)2q) — (K*V?(x)u, V)2) — EkBOX)U, V) 12(1y) - (6)

Here we write (i, v)2(q) = [ ubdx and similarly (u, v)2(ry) = [, ubds.
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1.2 Motivation for a Multiscale Method and Stability Analysis

It is well known [1] that the pollution effect cannot be avoided in standard methods.
However, it may be overcome by coupling the polynomial degree of the method
with the wave number & [15]. Therefore, multiscale methods appear to be a natural
tool to incorporate fine-scale features in a low-order discretization. Moreover,
the parameters of this method must be coupled logarithmically with the wave
number and therefore require the stability constant of the continuous problem to be
polynomially dependent of & to arrive at a computationally efficient method. Hence,
the stability of the continuous heterogeneous problem (1) is critical to the analysis of
the related algorithms. In general, it is often shown (or possibly assumed) that there
exists some constant C,p (k, 2, A, V?) > 0, which depends on k, the geometry, and
the coefficients, such that

lully < Coanlh, 2.A.V?) (If | 20 + 1812 - 7

Further, turning to the inf-sup type lower bound, it is often shown, or
possibly assumed, that there exists some constant y(k,$2,A, V?), related to
Coar(k, 2, A, Vz), such that

Re ,
vk, Q,A, V) < inf a(v, W)
veV\{0} wenvgoy IV IIvIwlly

®)
As noted, it is often the case that these constants depend merely polynomially on k.
However, it has been demonstrated that there are special instances of exponential k
dependence on Cyyp(k, 2,A, V?) [2], and thus, highly unstable inf-sup constants
y(k,2,A, V?).

2 Stability of the Heterogeneous Helmholtz Model

As discussed in Sect. 1, the stability and regularity of the continuous problem
has been investigated for constant coefficients in various contexts. In this section,
we shall investigate the stability of the continuous problem with respect to wave
number in the case of heterogeneous coefficients. We proceed using the variational
techniques with geometric constraints [11].

As noted in Sect. 1, in the case of constant coefficients, there exist various
methods to bound y(k, 2,4, V?) from (8) in terms of k. Most importantly, the
possible exponential dependence discussion in [2], will be excluded here. We will
show in this section, that for certain classes of coefficients, we are able to obtain
a favorable polynomial bound for y(k, 2,A, Vz). To this end, we will employ
variational techniques and so-called Rellich type identities with restrictions on the
types of geometries similar to the work of Hetmaniuk [11] and references therein.
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As we use the variational techniques we will make the geometric assumptions
made by Hetmaniuk [11]. That is we suppose that there exists a xo € R? and a
n > 0 such that

(x—x0)-v<0onTp, (9a)
(x—x0)-v=0o0nTy, (9b)
(x—x0)-v=>=nonTk. 9¢)

For a summary of such possible domains, we refer the reader to [11]. However, to
get some sense of a geometry the reader may envision a convex domain with pure
impedance boundary conditions. This of course may be weakened.

2.1 Statement of Stability, Connections to Inf-Sup Constants,
and Boundedness

In this section we present our main stability result. The variational techniques
employed require assumptions on the class of coefficients to remain valid. We out-
line these constraints and obtain a bounded-in-k result. We further relate these to the
inf-sup constants and explore the boundedness of the non-constant coefficient case.

We assume throughout that (5) has a unique solution for any L? right-hand side f
and focus on quantified stability.

Theorem 1 Suppose Q@ C R is a bounded connected Lipschit; domain and
satisfies the geometric assumptions (9). Let u be a solution of (1) with the boundary
conditions (2), coefficients satisfying the bounds (3), and k > ky > 0, for some k.
Further, we suppose the regularity u € H>T3(Q) for some § > 0.

Define the following function

2
S(x) ;= div ((‘;(E;)) (x—xo)) (10)

and further, we will denote Cg to be the minimal constant so that

VA _ VA
/Q ( A )Vu((x—xo)-Vu)dx ( A )

We suppose that
Spin = min S(x) > 0, (12a)
XEQ

(%)

2 < Cg IVl 72 q)- (11)

Lo2(Q)

Smin_((d_z)"f‘CG A

VZ
max o, (), (12b)
L(Q)
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We then have the following estimate

1
It = € (14, ) (Wi + lelary). (13)

where C* depends only on the (3) and 2, but not on k.
Proof See Appendix below. O

Remark 1 The assumption from Theorem 1 that u satisfy the regularity u €
H3/?*5(Q) is an assumption on the configuration of the boundary decomposition
into T'p, T, Tk. It is not a further restriction on the coefficients A or V2.

Now that we have an explicit bound for a class of constant variable coefficients,
we now will relate the constant Cyqp(k, 2,4, V?) 1= C* (1 + klz) to y(k, Q,A, V?)
given by (8).

Theorem 2 Supposing the assumptions in Theorem 1, we have the following
estimate

k—l <’)7—l < lnf Rea(v,W)

. . (14)
veV\{0} wer\goy IV IIvIwlly

Where, 7 := (1 4+ C* (k+ }) V240

Proof We proceed by a standard argument from [6], adapted to the heterogeneous
case. Given u € H'(Q2), define z € H'(2) as the solution of

2k (v, V1) 20y = a(v,z), forallv € V. (15)
Then, from the estimate (13), we have
Il < €* (1 + ,:2) Vi 20y (16)
Note that
Rea(u,u) = (A(x)Vu, Vi) 2q) — RV (@)u, u)12(q)
and using (15) and taking v = u + z implies
Rea(u,v) = Rea(u,u) + Rea(u,z) = ||u||%, a7

Using (16) we obtain
* 1 2 2
Iolly < llully + llzlly < llully +C{ T+, ) Viak™ [#ll20)
k

1
<(ic (k+ k) V2, lully -
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Hence, Rea(u, v) = ||u||%, >(1+cC* (k + ]1() V2 )7 vlly llully , taking

~ 1
V= (1+C*(k+k)V,%m)%k

yields the result. O

Finally, for completeness, we include a brief proof of the boundedness of the
variational from.

Theorem 3 Supposing the assumptions in Theorem 1, the variational form (6) has
the following boundedness property

la(u, v)| < Collully v]ly - (18)

Here C, may depend on the bounds (3), multiplicative trace constants, and 2, but
not k.

Proof From the variational form we have
la(u, v)| < ‘(A%vu,A%vu)Lz(Q)) + | kVi, kV0) 20|

+ (B2 (BR) )2y

< HA;VM

HA;VU

+ ||kVu kVvu
2@ [ ||L2(Q)|| ||L2(Q)

e (GOR

L2(2)

(Bk)2v

L*(Tg) L*(Tg)

< ully ol + [B02u] |80t

L2(T'r) 2(Tx)

We have from the multiplicative trace inequality

2
‘ =Cu ()
L(Tg)

<Cu (Ilkulliz(g) + (Ul gy + diam(Q)_l)

1 1 1 1
k2u k2u k2u k2u

S+ diam(Q)_l‘

L2(Q) H{(Q

2
LZ(Q))
2

LZ(Q))

< Cur (Jlully + diam(@)™ Ikl g, ) < Cur 1l

1
k2u

since k > 1. Applying this to the 'y terms we arrive at (18). O



92 D.L. Brown et al.
2.2 Example Coefficients

In this subsection, we will provide a few examples that satisfy the assumptions
on the coefficients (12). Hence, the set of bounded smooth coefficients that yields
polynomial-in-k bounds is non-trivial. We show that for some coefficients, as the
oscillations become more frequent we violate the conditions (12). In particular,
it appears that the restriction on the amplitude of the coefficients is related to the
restrictions on the frequency of oscillations.

To simplify things, yet provide non-trivial coefficients, we will only consider
radially symmetric conditions in R?. Indeed, even with this symmetry, we are able
to highlight the complexities and restrictiveness in these conditions. We will see that
the frequency of oscillations play a considerable role in violation of these conditions,
as well as the amplitude.

We take Q C R? to be given by the unit circle  := {(x,y) € R? | x> + y*> < 1}
and 0Q = {(x,y) € R? | x> + y* = 1}. Further, we will take I'y = I'p = @, so that
Iz = 0Q. We take xo = (0,0) € Q, and so m = (x —xo) = r#, where r* = x* + y?
and 7 is the standard unit normal in radial coordinates. Then, clearly, m - v = 1
on I'g and so the geometric assumptions (9) are satisfied with this domain. We will
take B(x) = 1, g(x) = 0, and suppose that f := f(r), is a given radially symmetric
forcing. We finally suppose that the heterogeneities are radially symmetric, V?(x) =
V2(r), and A(x) = A(r). We briefly recall in radial coordinates that for a function A
and a vector field 0 = (0,, 09)

. 10 1 do;
div(o) = . ar(ra,) + . 890'
0A 10A ~
VA= 0Tt L a?

2
/Adxdy—/ / Ardrd®,

where 6 is the standard angular coordinate. By examining the conditions (12), we
are able to produce a few interesting examples.

Case 1: A = 1 Note that from condition (12b), that if A = 1 (or constant), we
see that the conditions simplify slightly since the gradient terms in A will vanish.
Indeed, now we see that only condition (12a) must be satisfied. In this setting,
we must have that div(V?m) > 0 for our estimates to hold, or rewritten in radial
coordinates as

14

o (V2(r)r*) > 0. (19)
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From this condition we may choose a few possible coefficients for V(r). A trivial
example is when V2(r) = r + 1. Clearly,

14

1
(r3+r2)= B2 4+2r)=3r+2>0.
ror r

Many such polynomial in r choices exist as long as they do not violate boundedness
and positivity.

More interesting examples come from oscillatory coefficients. Suppose, for
€ > 0, we take now the innocent looking example

Vi(r) = ; sin (276”) +5, (20)

and so

19 (¥ . (27r ) . (2nr rT 2r
sin + 5r° ) = sin + cos + 10. 21
ror\ 2 € € € €

A quick investigation shows that if € = 1, then (19) is satisfied, however, when
€ = 0.1 it is violated. Hence, if the coefficient becomes highly oscillatory, the
stability condition is not satisfied. Also note that if we fix ¢ = 1, but extend the
domain from a unit circle to one of radius R, we will eventually enter a negative
region. Hence, the domain size also may have an effect on stability from the
viewpoint of conditions (12).

Case2:A = V2 Turning to the definition of S(x) in (10), we see thatif A = V2,
the functions simplifies to S(x) = d. Thus, condition (12a) is always satisfied. For

d = 2, (12b) becomes
? ( ( )
¢ A

Taking a closer look at the terms related to Cg from Theorem 1, we have in radial
coordinates
VA
2 ‘/ ( ) Vu((x — x0) - Vu)dx
o\l A

el 2 0A(r)
LG
1 0A(r)
A(r) or

Amax
> 0. (22)
Lo°(RQ) Amin

2

W) 1a0

=2
or

=

2
||V”||L2(Q) .
L°(Q)



94 D.L. Brown et al.

Hence, we may take here C¢ = 2. Noting that

0 1 0A()
3rln(A)_A(r) or ’

then the condition (22) becomes

1— (H 88}’ In(A) H) i’”f‘" > 0. (23)
Taking
V2(r) = A(r) = exp (oz (sin (Z) + 5)) , (24)
for €, @, and § positive, then
d
or In(4) 1°(Q) - H(: o’ (:)HLOO(Q) - (:.

Note further that A,,,, = exp(«(8 + 1)) and Ain = exp(a(§ — 1)), and so ﬁ’;f: =
exp(2«). Hence,

d Apax o
1— (H o In(A) H) A= 1-— . exp(a) > 0 (25)

min

or @ exp(2a) < €. We see from this calculation that the frequency of oscillation in
the coefficients is related to the amplitude as far as the conditions (12) are concerned.
The more oscillatory the function, the smaller the amplitude must be in this example.

3 The Multiscale Method

In this section, we will introduce the notation on finite element spaces and
meshes that define the multiscale Petrov-Galerkin method (msPGFEM) for the
heterogeneous Helmholtz problem. This method is based on ideas in an algorithm
developed for homogenization problems in [3, 9, 13] also known as Localized
Orthogonal Decomposition. The ideas have been adapted to the Helmholtz problem
for homogeneous coefficients in [16], and later presented in the Petrov-Galerkin
framework [7, 17]. We will stay in line with the notation and presentation of [7], as
this is the basis for the algorithm applied to a heterogeneous medium. We begin by
defining the basic components needed, then define the multiscale method as well as
some computational aspects. Finally, we will briefly discuss the error analysis for
the method, however, this will not differ too far from the homogeneous coefficient
algorithm and as thus, will refer the reader to technical proofs in [7].
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3.1 Meshes and Data Structures

We begin with the basic notation needed regarding the relevant mesh and data
structures. For the sake of clarity and completeness, we will briefly recall the
notation used in [7]. Let Gy be a regular partition of €2 into intervals, parallelograms,
parallelepipeds for d = 1,2, 3, respectively, such that | JGr = € and any two
distinct T,T' € Gy are either disjoint or share exactly one lower-dimensional
hyper-face (that is a vertex or an edge for d € {2,3} or a face for d = 3). We
suppose the mesh is quasi-uniform. For simplicity, we are considering quadrilaterals
(resp. hexahedra) with parallel faces, this guarantees the non-degeneracy of the
elements in Gp. Again, the theory of this paper carries over to partitions satisfying
suitable non-degeneracy conditions or even to meshless methods based on proper
partitions of unity [10].
Given any subdomain S C 2, we define its neighborhood to be

N(S) :=int(U{TegH L TNS# @}).
Furthermore, we introduce for any m > 2 the patch extensions
N!(S) := N(S) and N™(S) := N(N"~'(S)).

Note that the shape-regularity implies that there is a uniform bound denoted Cy; ,,, on
the number of elements in the mth-order patch, #{K € Gy : K € N(T)} < Coim
for all T € Gy. We will abbreviate C,; := C,) 1. The assumption that the coarse-
scale mesh Gy is quasi-uniform implies that C,,, depends polynomially on m. The
global mesh-size is H := max{diam(7)} forall T € Gy.

We will denote Q,(Gr) to be the space of piecewise polynomials of partial
degree less than or equal to p. The space of globally continuous piecewise first-
order polynomials is given by S'(Gy) := C°(Q) N Q1(Gx), and by incorporating
the Dirichlet condition we arrive at the standard Q, finite element space denoted
here as

Vy = SY(Gy) N V.
The set of free vertices, or the degrees of freedom, is denoted by
Ny :={z€Q : zisavertex of Gy and z ¢ I'p}.
To construct our fine-scale and, thus, multiscale spaces we will need to define a
coarse-grid quasi-interpolation operator. For simplicity of presentation,we suppose

here that this quasi-interpolation is also projective. This assumption may be lifted
c.f. [10] and references therein. We let Iy : V — Vg be a surjective quasi-
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interpolation operator that acts as a stable quasi-local projection in the sense that
I}, = Iy and that for any T € Gy and all v € V the following local stability result
holds

H o —Invlea + Vgl < CullVollezny- (26)
Under the mesh condition that
kH <1
is bounded by a generic constant, this implies stability in the || - ||y norm
lZuvlly < Cryvlvlly  forallv eV, (27)

with a k-independent constant Cy,, y. However, Cy, v, will depend on the constants
in (3).

One possible choice and which we use in our implementation of the method, is
to define Iy := Ep o Ily, where Iy is the piecewise I? projection onto Q1(Gy)
and Ey is the averaging operator that maps Q;(Gy) to Vy by assigning to each free
vertex the arithmetic mean of the corresponding function values of the neighbouring
cells, that is, for any v € Q(Gy) and any free vertex z € Ny,

Ex)@ = Y. vl / #K € Gy 1 2K}
TEGH
with z€T
Note that with this choice of quasi-interpolation, Ey(v)|r, = 0 by construction.
For this choice, the proof of (26) follows from combining the well-established
approximation and stability properties of 1y and Ey shown in [5].

3.2 Definition of the Method

The multiscale method is determined by three parameters, namely the coarse-scale
mesh-size H, the fine-scale mesh-size h, and the oversampling parameter m. We
assign to any T' € Gy its m-th order patch Q7 := N"(T), m € N, and define for any
v, w € V the localized sesquilinear forms of (6) to Q27 as

agq, (u,v)

= (AW)Vu, Vv) 210, — (V@)U )29, — (kBEU, V) 2(rhna00)-
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and to T, we have

ag, (u,v) = (AX)Vu, Vo)) — KV @)u, v) 200 — kB U, V) 120 nar) -

Let the fine-scale mesh G, be a global uniform refinement of the mesh Gy over Q2
and define

Viu(Qr) :={v € 0Q1(Gr) NV : v = 0 outside Qr}.
Define the null space
Wi(S27) = {v € Vi(Q7) : In(vy) = 0}

of the quasi-interpolation operator Iy defined in the previous section. This is the
space often referred to as the fine-scale or small-scale space. Given any nodal basis
function A, € Vi, let A, € W;,(Q27) solve the subscale corrector problem

ag,(w,A,r) = ar(w,A;) forallw e W,(Q7). (28)
Let A, := ZTGQH A.r and define the multiscale test function
KZ = A, — A,
The space of multiscale test functions then reads
Vi = span{KZ : z € Ny}

We emphasize that the dimension of the multiscale space is the same as the original
coarse space, dim Vg = dim V. Moreover, it is independent of the parameters m
and h. Finally, the multiscale Petrov-Galerkin FEM seeks to find uy € Vi such that

a(u, 3m) = (f, 0m) 2 () + (8. Om)i2ry  forall iy € V. (29)

As in [7], the error analysis and the numerical experiments will show that the
choice H < k™', m ~ log(k) will be sufficient to guarantee stability and quasi-
optimality properties, provided that ki < 1 where o depends on the stability and
regularity of the continuous problem. This constant « was the subject of Sect. 2. The
conditions on 4 are the same as for the standard Q; FEM on the global fine scale.
For example, in two dimensions, in the case of pure Robin boundary conditions on
a convex domain, it is required that K/?h < 1 for stability [18] and kK*h < 1 for
quasi-optimality [14] is satisfied.
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4 Error Analysis

The error analysis for the algorithm presented in Sect.3, is very similar to that
developed in [16] and references therein, and in particular for the Petrov-Galerkin
formulation we discuss now in [7]. It is clear the proofs are unaffected by the
coefficients as the arguments rely on very general constants being bounded such as
Ca» Cyap(k,2,A, V?), and y(k, Q, A, V?), for example. This is primarily due to the
upper and lower boundedness on the coefficients (3). However, we will highlight the
main themes of the analysis here as this will be useful to refer to in our discussion
on Numerical Examples in Sect. 5 as well as general completeness of the discussion.

We begin the error analysis with some notation. We denote the global finite
element space on the fine scale by V;, := V,(Q) = S'(G1) N V. We denote the
solution operator of the truncated element corrector problem (28) by Cr,,. Then,
any 7 € Ny and any T € Gy satisfy A,7 = Cr.»(A;) and we refer to Cr,, as the
truncated element correction operator. The map A, +— A, described in Sect. 3.2
defines a linear operator C,, via C,(A;) = A, for any z € Npy, referred to as
correction operator.

For the analysis we introduce idealized counterparts of these correction operators
where the patch Q27 equals €2. These global corrections are never computed and are
merely used in the analysis. We define the null space

Wy, = {U eV, : IH(U) = O},

also referred to as the fine-scale space on the global domain. For any v € V, the
idealized element corrector problem seeks Crv € Wj, such that

a(w,Crv) = ar(w,v) forallw e W, 30)
Furthermore, define
Cv:= ) Crv. 31
TeGy

Recall, we proved in Sect. 2 that the form a with heterogeneous coefficients given
by (6), is continuous and there is a constant C, such that

a(v,w) < Cyllv|lvlw|ly forallv,w e V.

The following result implies the well-posedness of the idealized corrector problems.
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Lemma 1 (Well-Posedness for Idealized Corrector Problems) Provided
Cry v/ CaHk < 1, (32)

we have for all w € W), equivalence of norms

1 1
A2 VW2 < Wil < (Vigs + Amax)® 1IVWl 20
and coercivity
(Viax +Amax) ||Vw||i2(9) < Rea(w,w).
Proof The lower bound is trivial, indeed we have that
1

For the upper bound, we note for any w € W), the property (26) implies

RIVWIZ g, = IV = InWlif gy < VauCh, CalK Vw7,

(£2) (£)°

Thus, using (32) we arrive at

2 2 ! 2
”W” = ”kVW”LZ(Q) + ”AZVW”LZ(Q)

max

= V2 CIZHCOIszZHVW”iZ(Q) +Amax||vw||§2(g)
< (V,%m +Amax) ||Vw||i2(m.
Note from this we have

2 2 2 ! 2
”kVW”LZ(Q) =< (Vmax +Amax) ”VW”Lz(Q) — ”AZVW”LZ(Q)
= (Vl?zax + Amax _AMin) ||VW||i2(Q)’
and so
1
Rea(w, W) = ||A2 VW”ZZ(Q) - ”kVW”iZ(Q)
= (Vo + Anae) [V9]72 0.

Thus, equivalence and coercivity is proven. O
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Lemma 1 implies that the idealized corrector problems (31) are well-posed and
the correction operator C is continuous in the sense that

ICvully < Cellvullv  forall vy € Vi

for some constant C; & 1. Since the inclusion W,(27) € W, holds, the well-
posedness result of Lemma 1 carries over to the corrector problems (28) in the
subspace W;,(£27) with the sesquilinear form agq,.

Again as with the homogeneous coefficient case [7], the proof of well-posedness
of the Petrov-Galerkin method (29) is based on the fact that the difference (C —
Cm)(v) decays exponentially with the distance from supp(v). In the next theorem,
we quantify the difference between the idealized and the discrete correctors. As the
proof is a bit technical and does not differ fundamentally from the homogeneous
case, we refer the reader to Appendix of [7] and references therein. The proof is
based on the exponential decay of the corrector CA,; and requires the resolution
condition (32), namely kH < 1.

Theorem 4 Under the resolution condition (32), there exist constants C; ~ 1 ~ C;
and 0 < 6 < 1 such that any v € Vi, any T € Gy and any m € N satisfy

IV(Crv — Crmv)lli2i@) < C10™IVV 1201, (33)
IV(Cv = Cov)l22) < C2v/Coln™ V0]l 2. (34)
Proof See Appendix of [7]. O

Provided we choose the fine-mesh & small enough, the standard finite element
over the mesh G, is stable in the sense that there exists a constant Cggy such that
with y (k, 2, A, V?) from (8) it holds that

_ R ,
(G624 V)) " < inf sup ) (35)
veVi\o} yev,\(oy IV IIvIIwllv

Recall, this is actually a condition on the fine-scale parameter /. In general, the
requirements on /# depend on the stability of the continuous problem [14]. We now
recall the conditions on the oversampling parameter for the well-posedness of the
discrete problem. Again, the proof here does not rely heavily on the coefficients,
just the general boundedness and ellipticity constants etc. Thus, we again refer the
reader to [7].

Theorem 5 (Well-Posedness of the Discrete Problem) Under the resolution
conditions (32) and (35) and the following oversampling condition

m 2 llog (Cramy (k. 2,4 V)| /|1og(6)]. (36)
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problem (29) is well-posed and the constant Cpg := 2Cj, v CcCrpm satisfies

- Rea(vy, v
(Cegy (k, Q,A,V?) "< inf sup a( i H)'
oneVi\o} 5. 5oy 0 llv DA v

Proof See [7]. O

The quasi-optimality requires the following additional condition on the oversam-
pling parameter m,

m 2 llog (Coay (k. 2.4,V2) | / log(0)]. 37)

Theorem 6 (Quasi-Optimality) The resolution conditions (32) and (35) and the
oversampling conditions (36) and (37) imply that the solution ugy to (29) with
parameters H, h, and m and the solution uy, of the standard Galerkin FEM on the
mesh Gy, satisfy

lun — upllv < N1 = Ig)uplly ~ min |ju, — vglly.
vy EVY

Proof See [7]. O
The following consequence of Theorem 6 states an estimate for the error u — uy.

Corollary 1 Under the conditions of Theorem 6, the discrete solution uy to (29)
satisfies with some constant C ~ 1 that

lu—unlly < llu—uplly + C min |ju, —vglly.
vy EVY

For the class of coefficients described in Theorem 1, this leads to the following
convergence rates. Provided that the geometry allows for H? regularity of the
solution and that 4 is sufficiently small such that the standard FEM is quasi-optimal
on the fine scale 4 and the error is dominated by the coarse-scale part, we have

lu — um|ly < O(kH).

5 Numerical Examples

In this section, we present the results from our numerical experiments on a
smooth coefficient for both cases when the conditions are satisfied and when it is
violated. Further, we implement the method on discontinuous periodic coefficients
to highlight broader applicability of the method. We give three example coefficients;
based on (20), (24), and a discontinuous example. In all three experiments we took
Q = (—1,1)? to be the unit square. We use triangular meshes and continuous P;
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finite elements as trial functions. We used k = 2°, g = 0, and the approximate point
source

exp (_1—(21)|x|)2) for |x| < 1/20

else.

fx) =

The coarse-scale mesh-sizes are H = 273,274, 27° 276 and the fine-scale mesh-
sizeish = 278,

The convergence history plots display the errors in the || - ||y norm as well as
L? norms. We compare the multiscale Petrov-Galerkin method for oversampling
parameters m = 1,2,3 with the standard P; finite element method and the best-
approximation. To compute the error quantity we take the standard finite element
solution at the fine scale % to be the overkill solution.

For the first example, we take A = 1 and V2 as (20), with € = 1 and refer to this
as example 1. Note that this does not violate the stability condition. The coefficient
V2 is displayed in Fig. 1a and the corresponding computational solution is displayed
in Fig. 1b. We note the spurious oscillation in Fig. 1b that breaks the rotational
symmetry of the problem. However, this is due to the Robin boundary condition
on the square domain being a poor choice for an absorbing boundary condition. The
normal vector on the square is a crude approximation to 7. Computing on a circular
domain would yield radially symmetric results.

Figure 2a, b display the convergence history in the V-norm and the L?> norm for
Example 1. In general, we see that the multiscale method appears to perform much
better than the corresponding standard P; finite element. However, there appears
to be some resonance effects of some sort that is particularly pronounced in the V
norm just before the resolution condition is satisfied. This is not in contradiction
with the theory. It has been demonstrated in [7] that there is no decay of the

(@)
1 :
0.5
0
-0.5
-1 — .
-1 -0.5 0 0.5 1.

Fig. 1 Plots for Example 1. (a) The coefficient V> for Example 1. (b) Plot of the solution for
Example 1
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Fig. 2 Convergence history for Example 1. (a) Convergence in V norm: Example 1. (b) Conver-
gence in L? norm: Example 1
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Fig. 3 Plots for Example 2. (a) The coefficient V> for Example 2. (b) Plot of the solution for
Example 2

corrector functions if the resolution condition is not satisfied, so that in this regime
the localization is not justified and leads to unreliable results.

For the second example, we take A = V2 and V? as (24), and refer to this as
Example 2. For the parameters we took § = 1, ¢ = 0.1, « = 0.08, and note
that the corresponding stability condition o exp(2«t) < € is narrowly satisfied. The
coefficient V? is displayed in Fig. 3a and the computational solution is displayed in
Fig. 3b. Figure 4a, b display the convergence history in the V-norm and the L?> norm
for Example 2. We see that in this example, we achieve faster convergence and do
not see the resonance effects. This is also the case for the standard finite elements.
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(@) (b)
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Fig. 4 Convergence history for Example 2. (a) Convergence in V norm Example 2. (b) Conver-
gence in L? norm Example 2
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Fig. 5 Plots for Example 3. (a) The coefficient V? for Example 3. (b) Plot of the solution for
Example 3

We now present a numerical example outside of our stability theory. We take
V? = 2 except at periodically placed blocks where V> = 1 and plot the function
in Fig. 5a. We refer to this as Example 3. The computational solution is displayed
in Fig. 5b. Figure 6a, b display the convergence history in the V-norm and the
norm for Example 3. We observe that the method performs particularly well in this
example, especially when compared against the corresponding P; finite element.
We do not see the resonances as with Example 1.
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Fig. 6 Convergence history for Example 3. (a) Convergence in V norm Example 3. (b) Conver-
gence in L? norm Example 3

6 Conclusions

ptIn this work, we developed a multiscale method to efficiently solve the het-
erogeneous Helmholtz equation at high frequency. The primary challenge was
establishing k-explicit bounds for the continuous problem as these are critical
in the analysis of the patch truncation parameter. We established these bounds
for a class of smooth coefficients given some restrictions that appear to depend
heavily on the frequency of oscillations and the amplitude of the coefficients. We
then presented our multiscale method whose error analysis is not significantly
modified by the heterogeneities assuming standard upper and lower boundedness.
Finally, we implemented the algorithm on two coefficients that fit inside the class
of coefficients in our main theorem and one that is discontinuous. We see that
the method performs well in these cases. Future work includes exploring if these
stability estimates apply to a greater class of more heterogeneous coefficients with
less smoothness.
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Appendix: Proof of Stability

Technical and Auxiliary Lemmas

We will now proceed by recalling and demonstrating a few technical and auxiliary
Lemmas used in the proof of Theorem 1. We begin with two critical technical
lemmas that remain unchanged from the homogeneous case examined in [11] and
are repeated here for completeness.

Lemma 2 Let m € WH°(Q)? and for all g € H' () we have

/ |q|2m-uds=/div(m)|q|2dx+2Re/ gm - Vgdsx. (38)
Q2 Q Q

Proof See [11], Lemma 3.1. O
Lemma 3 Let m € W'°(Q)? and for all q € H11~D (Q) NHY?%8 8 > 0, we have

/ |Vg|*m - vds — 10,q|*m - vds

BQ\FD FD

= / div(m)|Vq|*dx — 2Re / Vq - (VgV)mdx
Q Q

- 2Re/ Ag(m-Vq)dx + 2Re/ dyq(m-Vgq)ds (39)
Q AQ\Th

Proof See [8]. O
Here we will present a few auxiliary Lemmas.

Lemma 4 Let Q@ C RY be a bounded connected Lipschitz domain. Let u € H'(Q)
be a weak solution of (1), with f € L*>(Q) and g € L*(T'g). Then, we have for any
€e>0

1

=<
,3 min

1 1
Cluling = 5 (W + Reliliog + ;) el ). @0

Proof Taking v = u into the variational form (5) and looking at the imaginary part
we have

S(a(u,u)) = —(kB(x)u, u) = I((g, M)LZ(FR) + (f, M)LZ(Q))»



Multiscale Method for Heterogeneous Helmholtz Equation 107
and so

2
kBmin ||”||L2(FR)

=< ||M||L2(Q)|lf||L2(Q) + llull 2 rg) 181 22(rg)
k& 1 2 & 2
= 2k§ ”f”LZ(Q) + ||"‘||L2(Q) + 2%, ”g”LZ(rR) + ) ||“||L2(FR)'

Multiplying by k, dividing by B, and setting & = S,k we obtain

1 K&
Clulgy < ( W+ Tl

1 2 2ﬂmm
+ 2Brin ||g||L2(rR) + [|u ||L2(FR)

and we obtain

2

k= 1 K&
9 ”“”LZ(FR) = ,3 (25 ”f”LZ(Q) +

1 2
”I/IHLZ(Q) + Zﬂmm ||g||L2(FR)) .

Taking £, = € > 0 we arrive at the estimate. O
We will also need the estimate below.

Lemma 5 Let Q@ C RY be a bounded connected Lipschitz domain. Let u € H'(Q)
be a weak solution of (1) with f € L*>(R) and g € L*(T'g). Then, we have

||V”||§2(Q)
1 2 2 5-4 5-3
= A [k (V’”‘“ * o T2 ) 1@ @1

1 1 , T ,
+ 2k2g3 + ,Bmmg4 ”f”Lz(Q) + ﬂyzm-n + 4k2 ||g||L2(FR) N

for any &, &4 > 0.

Proof Taking v = u into the variational form (5) and looking at the real part we
have

Re(a(u, u)) = (A(x)Vu, Vi) 2q) — RV (@)u, u) 120
= Re((g. ) 12(rg) + (fs W12(0))s
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and so we have

) 2
HAZ Vu

22
. = K| Vullzq) + lull 2@ |2 + ull2 e 1812 rg) -

Using the maximal and minimal values we have for any & > 0 that

2 2 2
Amiﬂ'lvu||L2(Q) <k ”VMHLZ(Q) + ||“||L2(Q)|lf||L2(Q) + ”“”LZ(FR)”g”LZ(FR)

< (v, + C8 Y it + L w2
= max 2 12(Q) 2k2§-3 L2(Q)

1

+ e I8z ey (42)

Using estimate (40) we may write for any € > 0

1 1 1
Rllulizg < 5 (kzenuuiz(m + Ml + 4 ||g||iz<m) L@
Inserting the above inequality into (42) we obtain
Amin”V”“iz(sz)

Ty 1 1
2v/2 2 2 2
< (100t ) Wl + o Wl + g ey

1 2 2 | N 1 5
o (k Wl + Wl + 5 el
Taking € = &, the above inequality becomes

T
Ain| V720 skz(v,im g T )l

1 1 2 1 1 )
" (2"2% * ,Bmm&) I7ll2 @) + ( 2 T 4k2) 18 11Z2re)-

min

Thus, we obtained our estimate. O

Proof of Main Stability Result

We are now in a position to prove Theorem 1. The key observation is that the
Laplacian may be rewritten using (1) and combined with the technical and auxiliary
lemmas. This leads to the conditions on the coefficients (12).
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Proof (Proof of Theorem 1)
Using (39) where we write

1
—Au= A(f + K*V2u+ VA - Vu),
dyu = 0on 'y, and d,u = ikBu + g on 'y, we obtain
/ |Vul>m - vds — |0, u)?m - vds
BQ\FD I‘D
= / div(m)|Vu|*dx — 2 Re / Vu - (VaV)mdx
Q 1 Q (44)
+ 2Re/ A(f + k2V?u + VA - Vu)(m - Vii)dx
Q
+2Re | (ikBu + g)(m - Vu)ds.

T'r

Using (38) with the transform m — ‘//:m, we have

VZ
K2 |u|? ( ) m - vds
90 A
V2 V2
= kZ/ div(  m) |udx + 2k Re/ u m - Viidx.
Q A o \A
Using this to replace the term Re |, (‘;\2) u(m - Vu)dx, we have
/ |Vul>m - vds — |0, u|>m - vds
BQ\FD I‘D
= / div(m)|Vu|*dx — 2 Re / Vu - (ViaV)mdx
Q Q

-+-2Re/Q (Z) (m-VL_t)d)c—}-2Re/Q (VAA)~Vu(m'VL_t)dx

+2 Re/r (tkBu + g)(m - Vur)ds

2 (V2 2 2 2 (V?
—k div A m | |u|"dx + k |u| A m - vds.
Q a0
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Expanding out the boundary terms in each of the portions we have

— |0, u|?m - vds + / |Vul>m - vds
I'p Ly

V2
+/ |Vu|2m.vds+k2/ diV( m) |u|?dx
Tk Q A
= / div(m)|Vu|*dx — 2 Re / Vu - (ViaV)mdx
Q Q
VA
+2Re/ f (m-Vﬁ)dx-i—ZRe/ - Vu(m - Vu)dx
Q A Q A

V2 V2
+k2/ |u|2( )m-vds+k2/ |u|2( )m-uds
Iy A % A

+2Re [ (ikBu + g)(m - Vu)ds.
I

(45)

Now we suppose we make the geometric assumptions made by Hetmaniuk [11]
outlined in (9). Recall, we have for m = x — xo, thus we compute

div(x — xg) = d in 2,
Vu- (VaV)(x — xo) = |Vu|* in ,

(x—x0)-v<0o0nTp,

(x—x0)-v=00nTy,

(x—x0)-v=>=nonTk.

Using the above relations in (45) we obtain

V2
n |Vu|2ds+k2/ div( (x—xo)) |u|?dx
I'x Q A

< (d—Z)/ |Vu|2dx+2Re/ (f)((x—xo)-Vﬁ)dx
Q o \A 46)

+ 2Re/ (VAA) Vu((x — x0) - Vi)dx
Q

2
+ k2/ |u|? (‘:‘ ) (x —x0) - vds + 2Re/ (tkBu + g)(m - Vu)ds.
I'r I
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Recall, (10), where we define the following function

(V'™
S(x) := div (( AG) ) (x —xo))

_ V2(x) V(x)VV(x) V?*(x)VA(x)
= d(A(x) ) * (2 AW AW ) (=),

(47)

and from (12), we have a minimum for S(x) exists and is positive

Spmin = min S(x) > 0.
xX€EQ

Further, from (12), we have Cg to be the minimal constant so that

/Q (VAA) Vu((x — xo) - Vir)dx (VAA)

Returning to inequality (46), we obtain

2 < Cg IVl 7 - (48)

Lo2(Q)

77||V”||22(1"R) + szmin”””iZ(Q)
VA
A

1 (49)
6, Wl il + Il Tuliano

min

< (d=2)||Vuljr g + Co

2
”VMHLZ(Q)
L(Q)

Vi
6 (8 (1) Wl + E1BL o Wil 1 9l )
where Cj is independent of k and the bounds (3). Note that on the right hand side
we have for any &5, & > 0 the terms

K 2 &s 2 2
k ||:3||L°°(1"R) ”u”LZ(FR)”V”t”LZ(FR) = 2%s ||”||L2(FR) + P ||:3||L°°(FR) ||V”||L2(FR)

1 2 &6 2
gl r2rpy 1 Vil 2(rg) = 2% 18172 ry) + ) IVull 2y -

We choose &5, & so that

T’I:C%

&6
2~ ' ’

2
1Bl Zoo () = C1 5
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and so

k2

s = g BT -

We then obtain
Sl < 1 (€ 181 + 70 ) k2
min#liz2@) =S\ o) WPlzemo T 4 U2 (e
1 C
+a ( o Wiz Viliz) + 5! ||g||iz<m) (50)
VA
A

. 2 . .
Taking C} = ¢ (g}; 1Bl 7o0 () + X”n’::) and letting € = Bun€7/C5¢ in the
inequality (40) we have the relation

+(d =) Vulfr g + Co IVl 720-

L(Q)

( 127d)2 bd

i) + K& llull2q) + /52 2172 ) (51)

CYI ull 72
(I ) 2
K ﬂmmg min

Applying this above inequality to (50), we obtain
kz( mm %-7)”“”L2(Q)

1 O 2
<C (Amm 20 1 Vull 2y + 2 ||g||L2(rR))

[Vullz
( A LOO(Q)) re

(de)z de
+ g ¢ |lf||L2(Q)+ g2 ”g”LZ(FR)

(52)

+ ((d—2)+CG

Recall the estimate (41), with C3¢ = ((d 2) + Co || (VP HLOO(Q)) and taking
=5 =t

bd 2
G ||V”||L2(Q)

Cl;dkz 2 58 2
= Amin (Vmax ,Bmin +g8 ”u”LZ(Q)

oo 1 ) cs 1 1
+ Amin (4k2§8 + IBminSS) ”f”LZ(Q) + Amin min * 4k2 ”g”LZ(FR)'
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and so, using the above estimate (52)we obtain

( m S Cg . ’ ) || || ;
in L é u
7 q in max ﬂ in 8 L2 (Q)

1 C] 2
<o WlsalVuloe + 5 lelie, )

53
c o1 1 cy o1 1 ) 43
* an 4Kk2Eg * Bunins 1120 + Amin \ B2, * g2 ) 18lzy

(de)z de )
+ ”f”LZ(Q) + 22 ||g||L2(FR)‘
mmé§-7 min

Finally to deal with the remaining term on the right hand side that contains Vu, we

note using (41), lettlng ﬁ = 5; = V’”‘” , and multiplying by &/ (2Ain), &9 > 0,
we obtain
§o
A ||V”||§2(Q)
< 2A2 ZViakaHI/t”Lz(Q) + R + ZkZVy%W |V||L2(Q)

1 1 5
* ( min 4k2) ”g”LZ(FR):|’

and so

”f”LZ(Q) ||V’4||L2(Q)

Amin

1 2 €9 )

= 2o Wl + 5, 1Vulle)
EVmar 121 12
= Az k ” ||L2(Q)
1 €9 2 1 ,
+ +
(2Amm§9 ZAfmn ( Wlmvr%lax 2k2V,2,,ax)) ”f”Lz(Q)

§o 1 1 2
Ton, g2, Foae ) I8l

min
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Applying this into (53), we obtain

de ES Clg9 rznax
( min ‘§>:7 3 (V2 + + gg) - )”M”iz(g)

Amin IBmm A%mn
1 €9 2 1 ,
<C
= (zAmm& * 242, ( 2. V2 + ZkZVr%Lax)) IF1l22 )
Ci ) 1 1 ,

ch o1
" A (4/«25 Binks ) i
ng 1 1 5 (C127d)2 5 bd
+ A ,3,2,”'" + ne ||g||L2(rR) + ﬂrzning7 ”f”LZ(Q) + ﬂrzmn ”g”LZ(rR)

.. . ciyv?
Hence, we see that the critical term is S,,;, — 3, ™. Recall,

Amin
(7)
A Jlo@)
VA V2
( ) max -, (55)
A L®(Q) Amzn

Since (55) is assumed to hold, we take &7, &, and &9, so that

deVr%tax deES Cl g9 max
(Smin B Zmin B §7 Apin (,Bmm * 1) A2 ) =

min

= ((d 2) + Cg

thus, from (12), we have

Smin — ((d 2) + Cg

for some 6 > 0, and taking C’jd to be the global constant bound for (54) we obtain

2 2 Ci]d 1 2 2
Rlulizgy < 3 (14 5 ) (Kl + Il - (56)

and using (41), and taking C’S’d to be the global constant bound we obtain

1

as desired.
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Error Analysis of Nodal Meshless Methods

Robert Schaback

Abstract There are many application papers that solve elliptic boundary value
problems by meshless methods, and they use various forms of generalized stiffness
matrices that approximate derivatives of functions from values at scattered nodes
X1, ..., xy € Q C R If u* is the true solution in some Sobolev space S allowing
enough smoothness for the problem in question, and if the calculated approximate
values at the nodes are denoted by i, . . . , ity, the canonical form of error bounds is

[max [u” () = iy| < eflu”lls
where € depends crucially on the problem and the discretization, but not on the solu-
tion. This contribution shows how to calculate such € numerically and explicitly, for
any sort of discretization of strong problems via nodal values, may the discretization
use Moving Least Squares, unsymmetric or symmetric RBF collocation, or localized
RBF or polynomial stencils. This allows users to compare different discretizations
with respect to error bounds of the above form, without knowing exact solutions,
and admitting all possible ways to set up generalized stiffness matrices. The error
analysis is proven to be sharp under mild additional assumptions. As a byproduct, it
allows to construct worst cases that push discretizations to their limits. All of this is
illustrated by numerical examples.

1 Introduction

Following the seminal survey [5] by Ted Belytschko et al. in 1996, meshless
methods for PDE solving often work “entirely in terms of values at nodes”. This
means that large linear systems are set up that have values u(x;), ..., u(xy) of an
unknown function u as unknowns, while the equations model the underlying PDE
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problem in discretized way. Altogether, the discrete problems have the form

M
Y ayu(y) ~fi, L<k<N (1)
j=1

with N > M, whatever the underlying PDE problem is, and the N x M matrix A
with entries a;; can be called a generalized stiffness matrix.
Users solve the system somehow and then get values i, . . ., ity, that satisfy

M
Zakjflj ~fi. 1<k <N,

J=1

but they should know how far these values are from the values u*(x;) of the true
solution of the PDE problem that is supposed to exist.

The main goal of this paper is to provide tools that allow users to assess the
quality of their discretization, no matter how the problem was discretized or how
the system was actually solved. The computer should tell the user whether the
discretization is useful or not. It will turn out that this is possible, and at tolerable
computational cost that is proportional to the complexity for setting up the system,
not for solving it.

The only additional ingredient is a specification of the smoothness of the true
solution u*, and this is done in terms of a strong norm ||.||s, e.g. a higher-order
Sobolev norm or seminorm. The whole problem will then be implicitly scaled by
lu*||s, and we assert an absolute bound of the form

max |u*(x;) — it;| < €||u*
max 1u* () — ] < el

or a relative bound

maxlﬂSM IM*(Xj) — ﬁjl

[l

with an entity € that can be calculated. It will be a product of two values caring
for stability and consistency, respectively, and these are calculated and analyzed
separately.

Section 2 will set up the large range of PDE or, more generally, operator equation
problems we are able to handle, and Sect.3 provides the backbone of our error
analysis. It must naturally contain some versions of consistency and stability, and
we deal with these in Sects.5 and 7, with an interlude on polyharmonic kernels
in Sect. 6. For given Sobolev smoothness order m, these provide stable, sparse,
and error-optimal nodal approximations of differential operators [8]. Numerical
examples follow in Sect. 8, demonstrating how to work with the tools of this
paper. It turns out that the evaluation of stability is easier than expected, while the
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evaluation of consistency often suffers from severe numerical cancellation that is to
be overcome by future research, or that is avoided by using special scale-invariant
approximations, e.g. via polyharmonic kernels along the lines of Sect. 6.

2 Problems and Their Discretizations

We have to connect the system (1) back to the original PDE problem, and we do this
in an unconventional but useful way that we use successfully since [30] in 1999.

2.1 Analytic Problems

For example, consider a model boundary value problem of the form

Lu=f inQ CRY

2
Bu=g inI :=0Q @

where f, g are given functions on © and I', respectively, and L, B are linear
operators, defined and continuous on some normed linear space U in which the true
solution ™ should lie. Looking closer, this is an infinite number of linear constraints

Lu(y) = f(y) forally € Q C R?
Bu(z) = g(z) forallz e T := dQ

and these can be generalized as infinitely many linear functionals acting on the
function u, namely

AMu)=f, foralld e A C U* 3)
where the set A is contained in the topological dual U* of U, in our example
A={8o0L yeQtU{s,0B, zeT}. “)

Definition 1 An admissible problem in the sense of this paper consists in finding
an u from some normed linear space U such that (3) holds for a fixed set A C U*.
Furthermore, solvability via fy = A(u*) forallA € A C U* for some u* € U is
always assumed.

Clearly, this allows various classes of differential equations and boundary condi-
tions. in weak or strong form. For examples, see [29]. Here, we just mention that
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the standard functionals for weak problems with L = —A are of the form
Ap(u) := / (Vu)'Vo (5)
Q

where v is an arbitrary test function from Wé ().

2.2 Discretization

The connection of the problem (3) to the discrete linear system (1) usually starts
with specifying a finite subset Ay = {A1,...,An} C A of test functionals. But then
it splits into two essentially different branches.

The shape function approach defines functions #; : € — R with the Lagrange
property u;(xj) = 8;, 1 < i,j < M and defines the elements g;; of the stiffness

matrix as ay := A(u;). This means that the application of the functionals A; on
trial functions
M
u(x) = u(x)u;(x)
=1

is exact, and the linear system (1) describes the exact action of the selected test
functionals on the trial space. Typical instances of the shape function approach are
standard applications of Moving Least Squares (MLS) trial functions [2, 3, 32]. Such
applications were surveyed in [5] and incorporate many versions of the Meshless
Local Petrov Galerkin (MLPG) technique [4]. Another popular shape function
method is unsymmetric or symmetric kernel-based collocation, see [10, 12, 13, 17].

But one can omit shape functions completely, at the cost of sacrificing exactness.
Then the selected functionals A, are each approximated by linear combinations of
the functionals dy,, . . ., 8y, by requiring

M M
Ar(u) ~ ZakjSXju = Zakju(xj), 1<k<N, forallueUl. (6)
j=1 j=1

This approach can be called direct discretization, because it bypasses shape
functions. It is the standard technique for generalized finite differences (FD) [23],
and it comes up again in meshless methods at many places, starting with [24, 31]
and called RBF-FD or local RBF collocation by various authors, e.g. [11, 34]. The
generalized finite difference approximations may be calculated via radial kernels
using local selections of nodes only [26, 35, 36], and there are papers on how
to calculate such approximations, e.g. [7, 19]. Bypassing Moving Least Squares
trial functions, direct methods in the context of Meshless Local Petrov Galerkin
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techniques are in [21, 22], connected to diffuse derivatives [24]. For a mixture of
kernel-based and MLS techniques, see [18].

This contribution will work in both cases, with a certain preference for the direct
approach. The paper [29] focuses on shape function methods instead. It proves that
uniform stability can be achieved for all well-posed problems by choosing a suitable
discretization, and then convergence can be inferred from standard convergence
rates of approximations of derivatives of the true solution from derivatives of trial
functions. The methods of [29] fail for direct methods, and this was the main reason
to write this paper.

2.3 Nodal Trial Approximations

In addition to Definition 1 we now assume that U is a space of functions on some set
2, and that point evaluation is continuous, i.e. §, € U* for all x € Q. We fix a finite
set Xyy of M nodes x;, . .., xy and denote the span of the functionals SXJ. by Dy.

For each A € A we consider a linear approximation X to A from Dy, i.e.

M

Aw) ~ ) a(Mu(x) =: Au) (7)

j=1

Note that there is no trial space of functions, and no shape functions at all, just nodal
values and approximations of functionals from nodal values. It should be clear how
the functionals in (4) can be approximated as in (7) via values at nodes.

In the sense of the preceding section, this looks like a direct discretization, but it
also covers the shape function approach, because it is allowed to take a;(1) = A(u;)
for shape functions u; with the Lagrange property.

2.4 Testing

Given a nodal trial approximation, consider a finite subset Ay of functionals
A1, ..., Ay and pose the possibly overdetermined linear system

M
Ml*) = fi, = Y a(w ®)
j=1

for unknown nodal values uy, . . . , up that may be interpreted as approximations to
u*(x1),...,u*(xar). We call Ay a test selection of functionals, and remark that we
have obtained a system of the form (1).
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For what follows, we write the linear system (8) in matrix form also
f=Au 9

with

A = (aj(A))1<k<n1<j<m € RN*M
f= ()’ eRY
u = (u(x)),...,u(xy))" €RY,

Likewise, we denote the vector of exact nodal values u*(x;) by u*, and @ will be the
vector of nodal values #; that is obtained by some numerical method that solves the
system (8) approximately.

It is well-known [15] that square systems of certain meshless methods may
be singular, but it is also known [29] that one can bypass that problem by
overtesting, i.e. choosing N larger than M. This leads to overdetermined systems,
but they can be handled by standard methods like the MATLAB backslash in a
satisfactory way. Here, we expect that users set up their N x M stiffness matrix A
by sufficiently thorough testing, i.e. by selecting many test functionals A;,..., Ay
so that the matrix has rank M < N. Section 7 will show that users can expect
good stability if they handle a well-posed problem with sufficient overtesting. Note
further that for cases like the standard Dirichlet problem (2), the set Ay has to
contain a reasonable mixture of functionals connected to the differential operator
and functionals connected to boundary values. Since we focus on general worst-
case error estimates here, insufficient overtesting and an unbalanced mixture of
boundary and differential equation approximations will result in error bounds that
either cannot be calculated due to rank loss or come out large. The computer should
reveal whether a discretization is good or not.

3 Error Analysis

The goal of this paper is to derive useful bounds for ||[u* — 1|, but we do not care
for an error analysis away from the nodes. Instead, we assume a postprocessing step
that interpolates the elements of @ to generate an approximation # to the solution u*
in the whole domain. Our analysis will accept any numerical solution u in terms of
nodal values and provide an error bound with small additional computational effort.

3.1 Residuals

We start with evaluating the residual r := f— At € R no matter how the numerical
solution u was obtained. This can be explicitly done except for roundoff errors, and
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needs no derivation of upper bounds. Since in general the final error at the nodes
will be larger than the observed residuals, users should refine their discretization
when they encounter residuals that are very much larger than the expected error in
the solution.

3.2 Stability

In Sect. 2.4 we postulated that users calculate an N x M stiffness matrix A that has
no rank loss. Then the stability constant

Cs(A) 1= sup 1l (10)

w0 [[Aully
is finite for any choice of discrete norms ||.||, and ||.||, on R and R", respectively,
with 1 < p,g < oo being fixed here, and dropped from the notation. In principle,
this constant can be explicitly calculated for standard norms, but we refer to Sect. 7
on how it is treated in theory and practice. We shall mainly focus on well-posed
cases where Cs(A) can be expected to be reasonably bounded, while norms of A
get very large. This implies that the ratios |[uf,/||Au||, can vary in a wide range
limited by

it < Mo, an

7 || Aull,

If we assume that we can deal with the stability constant Cs(A), the second step of
error analysis is

[u* —all, < Cs(A)[A* —a)],
= Gs(A)(|Au* — ], + [If — Aull,) (12)
= Cs(A)(|Au* —flly + [Ir]ly)

and we are left to handle the consistency term ||Au* — f||, that still contains the
unknown true solution u*. Note that f is not necessarily in the range of A, and we
cannot expect to get zero residuals r.

3.3 Consistency

For all approximations (7) we assume that there is a consistency error bound

IAGu) — A@)| < c(A)|uls (13)
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for all u in some regularity subspace Ug of U that carries a strong norm or seminorm
||lls- In case of a seminorm, we have to assume that the approximation A is an exact
approximation to A on the nullspace of the seminorm, but we shall use seminorms
only in Sect. 6 below. If the solution «* has plenty of smoothness, one may expect
that c(A)|u*||s is small, provided that the discretization quality keeps up with the
smoothness. In Sect. 5, we shall consider cases where the ¢(1) can be calculated
explicitly.
The bound (13) now specializes to

[Aw* —fllg < llellglu™ls
with the vector
c=(c(A)),....c(Ay))T e RV,
and the error in (12) is bounded absolutely by
lu* =, < Cs(A) (llellgllu*lls + lIrlly)
and relatively by

[u* —ull,

[l ls

< Cy(A) (||c||q+ Il ) (14)

lla s

This still contains the unknown solution u#*. But in kernel-based spaces, there are
ways to get estimates of |lu*|s via interpolation. A strict but costly way is to
interpolate the data vector f by symmetric kernel collocation to get a function uf
with |[uf ||s < |[u*||s, and this norm can be plugged into (14). In single applications,
users would prefer to take the values of u{ in the nodes as results, since they are
known to be error-optimal [28]. But if discretizations with certain given matrices A
are to be evaluated or compared, this suggestion makes sense to get the right-hand
side of (14) independent of u*.

3.4 Residual Minimization

To handle the awkward final term in (14) without additional calculations, we impose
a rather weak additional condition on the numerical procedure that produces i as an
approximate solution to (9). In particular, we require

|Ad - £, < K(A)|Au® £, (15)

which can be obtained with K(A) = 1 if a is calculated via minimization of the
residual |Au — f||, over all u € R, or with K(A) = 0 if f is in the range of A.
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Anyway, we assume that users have a way to solve the system (9) approximately
such that (15) holds with a known and moderate constant K(A).
Then (15) implies

Irlly = lAa—£],
< K(A)[|Au™ —fl|,
< KA)llellllu* s

and bounds ||r|, in terms of [lu*s.

3.5 Final Relative Error Bound

Theorem 1 Under the above assumptions,

[u* —al],

a. = T+ KA)Cs(A)llely- (16)
llee* |l

Proof We can insert (15) directly into (12) to get

[u* —all, < Cs(A)(1 + K(A)) [|Au* — ]|,
= (1 + K(A)CsA) [leflqllu*]s

and finally (16), where now all elements of the right-hand side are accessible.

This is as far as one can go, not having any additional information on how u* scales.
The final form of (16) shows the classical elements of convergence analysis, since
the right-hand side consists of a stability term Cs(A) and a consistency term ||c||,.
The factor 1 + K(A) can be seen as a computational accuracy term.

Examples in Sect. 8 will show how these relative error bounds work in practice.
Before that, the next sections will demonstrate theoretically why users can expect
that the ingredients of the bound in (16) can be expected to be small. For this
analysis, we shall assume that users know which regularity the true solution has,
because we shall have to express everything in terms of [u*||s.

At this point, some remarks on error bounds should be made, because papers
focusing on applications of meshless methods often contain one of the two standard
crimes of error assessment.

The first is to take a problem with a known solution u* that supplies the data,
calculate nodal values @ by some hopefully new method and then compare with u*
to conclude that the method is good because ||u* — @] is small. But the method
may be intolerably unstable. If the input is changed very slightly, it may produce a
seriously different numerical solution u that reproduces the data as well as @. The
“quality” of the result i may be just lucky, it does not prove anything about the
method used.
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The second crime, usually committed when there is no explicit solution known,
is to evaluate residuals r = Au — f and to conclude that ||u* — u| is small
because residuals are small. This also ignores stability. There even are papers that
claim convergence of methods by showing that residuals converge to zero when the
discretization is refined. This reduces convergence rates of a PDE solver to rates
of consistency, again ignoring stability problems that may counteract against good
consistency. Section 8 will demonstrate this effect by examples.

This paper will avoid these crimes, but on the downside our error analysis is a
worst-case theory that will necessarily overestimate errors of single cases.

3.6 Sharpness

In particular, if users take a specific problem (2) with data functions f and g and a
known solution u*, and if they evaluate the observed error and the bound (16), they
will often see quite an overestimation of the error. This is due to the fact that they
have a special case that is far away from being worst possible for the given PDE
discretization, and this is comparable to a lottery win, as we shall prove now.

Theorem 2 For all K(A) > 1 there is some u* € Us and an admissible solution
vector W satisfying (15) such that

(K(A) = DCsA)[u*[Islelloo = [u* =00 < (K(A) + DCs(A)[[u*[|s]€]loo
(17

showing that the above worst-case error analysis cannot be improved much.

Proof We first take the worst possible value vector ug for stability, satisfying
luslleo = Cs(A)[|Aus]|oo

and normalize it to |ug||lcc = 1. Then we consider the worst case of consistency,
and we go into a kernel-based context.

Let the consistency vector ¢ attain its norm at some index j, 1 < j < N, ie.
lclloc = c(A;). Then there is a function u; € Us with

() = A ()| = cOlluslls = (X)),

namely by taking the Riesz representer u; := (A; —;\ i)*K(x, -) of the error functional.
The values of u; at the nodes form a vector u;, and we take the data f as exact values
of uj, i.e. fy := Ax(uj), 1 < k < N to let u; play the role of the true solution u*, in
particular u® = u; and u* s = luylls = c(4)) = [lclloo-
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We then define i := u* 4+ aCs(A)ug as a candidate for a numerical solution and
check how well it satisfies the system and what its error bound is. We have

AT —flloo = [|A (" + aCs(A)us) —fl|oo
< [Au* —flloo + || Cs(A) || Aus]loo
= || + [Au* — oo
= K(A)||Au” —f]l

if we choose
o = (K(A) — D [Au* — f]|oo.
Thus u is a valid candidate for numerical solving. The actual error is

[u* — oo = (K(A) — D]|Au* — f]| o Cs(A) )
= (K(A) = 1)Cs(A) max <k=y [Ae(uj) — A (u;)]
> (K(A) — DCs(A)|A;()) — A;(uy)|
= (K(A) = DCs(A) |lujllslclloo

(18)

proving the assertion.

We shall come back to this worst-case construction in the examples of Sect. 8.

4 Dirichlet Problems

The above error analysis simplifies for problems where Dirichlet values are given
on boundary nodes, and where approximations of differential operators are only
needed in interior points. Then we have N approximations of functionals that are
based on M; interior nodes and Mp boundary nodes, with M = M; + Mp. We now
use subscripts / and B to indicate vectors of values on interior and boundary nodes,
respectively. The linear system now is

Bu; =f; — Cgp

while the previous section dealt with the full system

A(“’) = ( f’) with A = (BC)
up g 01p
that has trivial approximations on the boundary. Note that this splitting is standard

practice in classical finite elements when nonzero Dirichlet boundary conditions are
given. We now use the stability constant Cs(B) for B, not for A, and examples will
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show that it often comes out much smaller than Cs(A). The consistency bounds (13)
stay the same, but they now take the form

IBu; + Cug —fi]l, = [Bu; + Cgp —fill, < llesllgllu™|s.
The numerical method should now guarantee
|Bii; + Cgg — fill, < K(B)||Bu; + Cgs — fi|,
with a reasonable K(B) > 1. Then the same error analysis applies, namely

uf — 1], < Cs(B)|B(u; —uy)ll,
< Cs(B)||Bu; — Cgp — fi]|, + Cs(B)||Ba; — Cgp —f7) |,
< Cs(B)(1 + K(B))|Bu; — Cgp —fi]|,
< Cs(B)(1 + KB))[lerllgflu*]ls-

5 Consistency Analysis

There are many ways to determine the stiffness matrix elements a;(A;) arising in (9)
and (7), but they are either based on trial/shape functions or on direct discretizations
as described in Sect.2.2. We do not care here which technique is used. As a by-
product, our method will allow to compare different approaches on a fair basis.

To make the constants ¢(4) in (13) numerically accessible, we assume that the
norm ||.||s comes from a Hilbert subspace Ug of U that has a reproducing kernel

K : QxQ —R.

The squared norm of the error functional A — 2 of the approximation A in (7) then
is the value of the quadratic form

QX (A A) = [ — ]2,
N

M
= VAK(xy) —2) g (MDA K(x.y)
= (19)
M
+ 3 G (NaM)AAK (. y)

k=1

which can be explicitly evaluated, though there will be serious numerical cancella-
tions because the result is small while the input is not. It provides the explicit error
bound

M) — A2 < QX ) |lu*|3



Error Analysis of Nodal Meshless Methods 129

such that we can work with

c(A) = 0, A).

As mentioned already, the quadratic form (19) in its naive form has an unstable
evaluation due to serious cancellation. In [7], these problems were partly overcome
by variable precision arithmetic, while the paper [19] provides a very nice stabiliza-
tion technique, but unfortunately confined to approximations based on the Gaussian
kernel. We hope to be able to deal with stabilization of the evaluation of the quadratic
form in a forthcoming paper.

On the positive side, there are cases where these instabilities do not occur, namely
for polyharmonic kernels. We shall come back to this in Sect. 6.

Of course, there are many theoretical results bounding the consistency error (13),
e.g. [7, 22] in terms of |u*||s, with explicit convergence orders in terms of powers
of fill distances

h = supmin ||y — x;|».
yeQ N

We call these orders consistency orders in what follows. Except for Sect. 6, we do
not survey such results here, but users can be sure that a sufficiently fine fill distance
and sufficient smoothness of the solution will always lead to a high consistency
order. Since rates increase when more nodes are used, we target p-methods, not A-
methods in the language of the finite element literature, and we assume sufficient
regularity for this.

Minimizing the quadratic form (19) over the weights a;(A) yields discretizations
with optimal consistency with respect to the choice of the space Us [7]. But their
calculation may be unstable [19] and they usually lead to non-sparse matrices unless
users restrict the used nodes for each single functional. If they are combined with
a best possible choice of trial functions, namely the Riesz representers v;(x) =
/\IY K(x,y) of the test functionals, the resulting linear system is symmetric and
positive definite, provided that the functionals are linearly independent. This method
is symmetric collocation [10, 12, 13], and it is an optimal recovery method in the
space Uy [28]. It leads to non-sparse matrices and suffers from severe instability, but
it is error-optimal. Here, we focus on non-optimal methods that allow sparsity.

Again, the instability of optimal approximations can be avoided using polyhar-
monic kernels, and the next section will describe how this works.

6 Approximations by Polyharmonic Kernels

Assume that we are working in a context where we know that the true solution u*
lies in Sobolev space W3'($2) for 2 C R?, or, by Whitney extension also in W5'(R?).
Then the consistency error (13) of any given approximation should be evaluated in
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that space, and taking an optimal approximation in that space would yield a system
with optimal consistency.

But since the evaluation and calculation of approximations in W3'(R?) is rather
unstable, a workaround is appropriate. Instead of the full norm in W3'(R¢) one takes
the seminorm involving only the order m derivatives. This originates from early
work of Duchon [9] and leads to Beppo-Levi spaces instead of Sobolev spaces (see
e.g. [33]), but we take a summarizing shortcut here. Instead of the Whittle-Matérn
kernel reproducing W3'(R?), the radial polyharmonic kernel

(—1)fm=d/21y2m=d 2m—d odd
H, = 2
a( { (=1)t+m=d/2p2m=d 60 p 2m — d even (20)
is taken, up to a scalar multiple
I'(m—4d/2)
22/ — 1)] 2m —d odd
% 1)

221 /2 — 1) — /2y 24V

that is used to match the seminorm in Sobolev space W (R¢). We allow m to be
integer or half-integer. This kernel is conditionally positive definite of order k =
lm —d/2]| + 1, and this has the consequence that approximations working in that
space must be exact on polynomials of al least that order (= degree plus one). In
some sense, this is the price to be paid for omitting the lower order derivatives in
the Sobolev norm, but polynomial exactness will turn out to be a good feature, not
abug.

As an illustration for the connection between the polyharmonic kernel H,, 4(r)
and the Whittle-Matérn kernel K,,,4/> (r)r"=4/? reproducing Wi (RY), we state the
observation that (up to constants) the polyharmonic kernel arises as the first term
in the expansion of the Whittle-Matérn kernel that is not an even power of r. For
instance, up to higher-order terms,

1 1
K3(r)r3 =16-2 + 4r4 + 24r6 log(r)

containing Hy»(r) = r®log(r) up to a constant. This seems to hold in general for
K, (r)r" and n = m — d/2 for integer n and even dimension d. Similarly,

1 1 1 1
1(5/2(r)r5/2 =3— P24+ -7
b4 2 8

V) 15

contains Hy3(r) = r° up to a constant, and this generalizes to half-integer n with
n = m — d/2. The upshot is that the polyharmonic kernel, if written with r =
|lx — y||2, differs from the Whittle-Matérn kernel only by lower-order polynomials
and higher-order terms, being simpler to evaluate. A rigid proof is in [8].
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If we have an arbitrary approximation (7) that is exact on polynomials of order
k, we can insert its coefficients a; into the usual quadratic form (19) using the
polyharmonic kernel there, and evaluate the error. Clearly, the error is not smaller
than the error of the optimal approximation using the polyharmonic kernel, and let
us denote the coefficients of the latter by af.

We now consider scaling. Due to shift-invariance, we can assume that we have
a homogeneous differential operator of order p that is to be evaluated at the origin,
and we use scaled points Ax; for its nodal approximation. It then turns out [8] that
the optimal coefficients a}“ (h) scale like a;‘ (h) = h_Pq;“(l), and the quadratic form
Q of (19) written in terms of coefficients as

M
Q*(a) = MAK(x.y) =2 Y ai(MANK(x.y)
M =
+3 g (MaM)AAK (. y)
jk=1

scales exactly like

O(a*(h)) = "~ Q(a* (1)),

proving that there is no approximation of better order in that space, no matter how
users calculate their approximation. Note that strong methods (i.e. collocation) for
second-order PDE problems (2) using functionals (4) have p = 2 while the weak
functionals of (5) have p = 1. This is a fundamental difference between weak
and strong formulations, but note that it is easy to have methods of arbitrarily high
consistency order.

In practice, any set of given and centralized nodes x; can be blown up to points
Hx; of average pairwise distance 1. Then the error and the weights can be calculated
for the blown-up situation, and then the scaling laws for the coefficients and the error
are applied using 4 = 1/H. This works for all scalings, without serious instabilities.

Now that we know an optimal approximation with a simple and stable scaling,
why bother with other approximations? They will not have a smaller worst-case
consistency error, and they will not always have the scaling property a;(h) =
h™Pa;(1), causing instabilities when evaluating the quadratic form. If they do have
that scaling law, then

Oa(h)) = B*"~ 7 Q(a(1)) = K*"~"*Q(a*(1)) = Q(a* ()

can easily be proven, leading to stable calculation for an error that is not smaller
than the optimal one. In contrast to standard results on the error of kernel-based
approximations, we have no restriction like 7 < hg here, since the scaling law is
exact and holds for all A.
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If the smoothness m for error evaluation is fixed, it will not pay off to use
approximations with higher orders of polynomial exactness, or using kernels
with higher smoothness. They cannot beat the optimal approximations for that
smoothness class, and the error bounds of these are sharp. Special approximations
can be better in a single case, but this paper deals with worst-case bounds, and then
the optimal approximations are always superior.

The optimal approximations can be calculated for small numbers of nodes, lead-
ing to sparse stiffness matrices. One needs enough points to guarantee polynomial
exactness of order k = |[m — d/2] + 1. The minimal number of points actually
needed will depend on their geometric placement. The five-point star is an extremely
symmetric example with exactness of order 4 in d = 2, but this order will normally
need 15 points in general position because the dimension of the space of third-degree
polynomials in R? is 15.

The upshot of all of this is that, given a fixed smoothness m and a dimension
d, polyharmonic stencils yield sparse optimal approximations that can be stably
calculated and evaluated. Examples are in [8] and in Sect. 8 below. See [16] for
an early work on stability of interpolation by polyharmonic kernels, and [1] for an
example of an advanced application.

7 Stability Analysis

We now take a closer look at the stability constant Cs(A) from (10). It can be
rewritten as

Cs(A) = sup{[lull, : [Auf, <1} (22)

and thus 2Cs(A) is the p-norm diameter of the convex set {u € R¥ : |Aul|, < 1}.
In the case p = g = oo that will be particularly important below, this set is a
polyhedron, and the constant Cg(A) can be calculated via linear optimization. We
omit details here, but note that the calculation tends to be computationally unstable
and complicated. It is left to future research to provide a good estimation technique
for the stability constant Cs(A) like MATLAB’s condest for estimating the L;
condition number of a square matrix.
Incasep = g = 2 we get

Cs(A)™' = min o;

1<j<M

for the M positive singular values oy, ...,0) of A, and these are obtainable by
singular value decomposition.
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To simplify the computation, one might calculate the pseudoinverse AT of A and
then take the standard (p, ¢)-norm of it, namely

ATV,
|AT]l,.q := sup .
P e vl
This overestimates Cs(A) due to
|ATAul, [[all,

AT lp.q = sup =
P v=Au#£0 [|Aull, u#0 | Aull,

= Cs(A)

since Cs(A) is the norm of the pseudoinverse not on all of R", but restricted to the
M-dimensional range of A in R". Here, we again used that A has full rank, thus
ATA = Iyxu.

Calculating the pseudoinverse may be as expensive as the numerical solution if
the system (8) itself, but if a user wants to have a close grip on the error, it is worth
while. It assures stability of the numerical process, if not intolerably large, as we
shall see. Again, we hope for future research to produce an efficient estimator.

A simple possibility, restricted to square systems, is to use the fact that
MATLAB’s condest estimates the 1-norm-condition number, which is the Ly
condition number of the transpose. Thus

. dest (A’
Cs(A) = COIﬁ A‘Tt( ) (23)

is an estimate of the Lo, norm of A~!. This is computationally very cheap for sparse
matrices and turns out to work fine on the examples in Sect. 8, but an extension to
non-square matrices is missing.

We now switch to theory and want to show that users can expect Cs(A) to be
bounded above independent of the discretization details, if the underlying problem
is well-posed. To this end, we use the approach of [29] in what follows.

Well-posed analytic problems of the form (3) allow a stable reconstruction of
u € U from their full set of data fj (u), A € A. This analytic stability can often be
described as

lullwp < Cwp sup |A(u)| forallu € U, (24)
AEA

where the well-posedness norm ||.|wp usually is weaker than the norm ||.||y. For
instance, elliptic second-order Dirichlet boundary value problems written in strong
form satisfy

lulloog < lullocan + CllLullog forallu e U:= C*() N C(R) (25)

see e.g. [6, (2.3), p. 14], and this is (24) for ||.|lwp = ||-|lco-
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The results of [29] then show that for each trial space Uy, C U one can find a test
set Ay such that (24) takes a discretized form

ltlloo < 2Cwp sup |Ax(u)| forall u € Uy,
AEAN

and this implies

lu(x;)] <2Cwp sup |Ag(u)| forallu € Uy

AEAN

for all nodal values. This proves a uniform stability property of the stiffness matrix
with entries A4 (u;). The functional approximations in [29] were of the form g;(1) =
A(u;), and then

[ulleoc < 2Cwpsup; en, [Ac(@)]
= 2Cwp Sup; ep, 1Ak (Zf‘il M(Xi)ui) |

= 2Cwpsup en, | Soimy u(x)Ae(us)|
= 2Cwp||Aul| oo

and thus
Cs(A) < 2Cyp.

This is a prototype situation encouraging users to expect reasonably bounded norms
of the pseudoinverse, provided that the norms are properly chosen.

However, the situation of [29] is much more special than here, because it is
confined to the trial function approach. While we do not even specify trial spaces
here, the paper [29] relies on the condition a;(A) = A(u;) for a Lagrange basis of
a trial space, i.e. exactness of the approximations on a chosen trial space. This is
satisfied in nodal methods based on trial spaces, but not in direct nodal methods.
In particular, it works for Kansa-type collocation and MLS-based nodal meshless
methods, but not for localized kernel approximations and direct MLPG techniques
in nodal form.

For general choices of a;(4), the stability problem is a challenging research area
that is not addressed here. Instead, users are asked to monitor the row-sum norm of
the pseudoinverse numerically and apply error bounds like (16) for p = g = oo.
Note that the choice of discrete L, norms is dictated by the well-posedness
inequality (25). As pointed out above, chances are good to observe numerical
stability for well-posed problems, provided that test functionals are chosen properly.
We shall see this in the examples of Sect. 8. In case of square stiffness matrices, users
can apply (23) to get a cheap and fairly accurate estimate of the stability constant.

For problems in weak form, the well-posedness norm usually is not |.||co. but
l.ll,), and then we might get into problems using a nodal basis. In such cases,
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an L,-orthonormal basis would be needed for uniform stability, but we refrain from
considering weak formulations here.

8 Examples

In all examples to follow, the nodal points are xi,...,xy in the domain Q2 =
[-1,+1]*> C R2, and parts of them are placed on the boundary. We consider the
standard Dirichlet problem for the Laplacian throughout, and use testing points
Yis...,¥n € Q for the Laplacian and 7, ...,z € 9dQ for the Dirichlet boundary
data in the sense of (4). Note that in our error bound (16) the right-hand sides of
problems like (2) do not occur at all. This means that everything is only dependent
on how the discretization works, it does not depend on any specific choice of f and g.

We omit detailed examples that show how the stability constant Cs(A) decreases
when increasing the number N of test functionals. An example is in [29], and (22)
shows that stability must improve if rows are added to A. Users are urged to make
sure that their approximations (6), making up the rows of the stiffness matrix, have
roughly the same consistency order, because adding equations will then improve
stability without serious change of the consistency error.

We first take regular points on a 2D grid of sidelength #in Q = [-1, +1]> C R?
and interpret all points as nodes. On interior nodes, we approximate the Laplacian
by the usual five-point star which is exact on polynomials up to degree 3 or order
4. On boundary nodes, we take the boundary values as given. This yields a square
linear system. Since the coefficients of the five-point star blow up like O(h?) for
h — 0, the row-sum norm of A and the condition must blow up like O(h~2), which
can easily be observed. The pseudoinverse does not blow up since the Laplacian
part of A just takes means and the boundary part is the identity. For the values of &
we computed, its norm was bounded by roughly 1.3. This settles the stability issue
from a practical point of view. Theorems on stability are not needed.

Consistency depends on the regularity space Us chosen. We have a fixed classical
discretization strategy via the five-point star, but we can evaluate the consistency
error in different spaces. Table 1 shows the results for Sobolev space Wg (RY). Tt
clearly shows linear convergence, and its last column has the major part of the worst-
case relative error bound (16). The estimate é‘S(A) from (23) agrees with Cs(A) to
all digits shown. Note that for all methods that need continuous point evaluations of
the Laplacian in 2D, one cannot work with less smoothness, because the Sobolev
inequality requires W' (R?) with m > 2 + d/2 = 3. The arguments in Sect. 6 show
that the consistency order then is at most m —d/2 —p = m — 3 = 1, as observed.
Table 2 shows the improvement if one uses the partial matrix B of Sect. 4.

We now demonstrate the sharpness of our error bounds. We implemented the
construction of Sect. 3.6 for K(A) = 2 and the situation in the final row of Table 1.
This means that, given A, we picked values of f and g to realize worst-case stability
and consistency, with known value vectors u* and . Figure 1 shows the values of
ug and u; = u* in the notation of the proof of Theorem 2, while Fig. 2 displays u.
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Table 1 Results for five-point star on the unit square, for W24 (R?) and the full matrix A

M=N h Cs(A) llelloo Cs(A) llelloo
25 0.5000 1.281250 0.099045 0.126901
81 0.2500 1.291131 0.051766 0.066837
289 0.1250 1.293783 0.026303 0.034030
1089 0.0625 1.294459 0.013222 0.017116

Table 2 Results for five-point star on the unit square, for Wy (R?) and the partial matrix B

M; =N, h Cs(B) llerlloo CsB) llerlloo
9 0.5000 0.281250 0.099045 0.027856
49 0.2500 0.291131 0.051766 0.015071
225 0.1250 0.293783 0.026303 0.007727
961 0.0625 0.294459 0.013222 0.003893

-1

Worst case function for stability

Worst case function for consistency
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Fig. 1 Stability and consistency worst case

The inequality (17) is in this case
0.000226 = Cs(A)|lu* [Isllclloo < lu* —1ii]loe = 0.000226 < 3Cs(A)||lu* |Isllclloo = 0.000679

and the admissibility inequality (15) is exactly satisfied with K(A) = 2. Even
though this example is worst-case, the residuals and the error ||[u* — || are small
compared to the last line of Table 1, and users might suspect that the table has a
useless overestimation of the error. But the explanation is that the above bounds
are absolute, not relative, while the norm of the true solution is ||u*||s = ||c|lec =
0.0132. The relative form of the above bound is

[ —uf|o

0.0171 =" "
llee*ls

< 0.0513,
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Fig. 2 Solution forjoint Solution for worst case
worst case

showing that the relative error bound 0.0171 in Table 1 is attained by a specific
example. Thus our error estimation technique covers this situation well. The lower
bound in the worst-case construction is attained because this example has equality
in (18).

Note that our constructed case combines worst-case consistency with worst-case
stability, but in practical situations these two worst cases will rarely happen at the
same time. Figure 1 shows that the worst case for stability seems to be a discretiza-
tion of a discontinuous function, and therefore it may be that practical situations
are systematically far away from the worst case. This calls for a redefinition of the
stability constant by restricting the range of A in an appropriate way. The worst case
for stability arises for vectors of nodal values that are close to the eigenvector of the
smallest eigenvalue of A, but the worst case for consistency might systematically
have small inner products with eigenvectors for small eigenvalues.

If we take the polyharmonic kernel Hy 5 (r) = r°log r (up to a constant), the five-
point star is unique and therefore optimal, with consistency order 1, see Sect. 6. This
means that for given smoothness order m = 4 and gridded nodes, the five-point star
already has the optimal convergence order. Taking approximations of the Laplacian
using larger subsets of nodes might be exact on higher-order polynomials, and will
have smaller factors if front of the scaling law, but the consistency and convergence
order will not be better, at the expense of losing sparsity.

To see how much consistency can be gained by using non-sparse optimal
approximations by polyharmonic kernels, we worked at 4 = 1, approximating
the error of the Laplacian at the origin by data in the integer nodes (m,n) with
—1 < m,n < K for increasing K. This models the case where the Laplacian
is approximated in a near-corner point of the square. Smaller /4 can be handled
by the scaling law. The consistency error in W5 (R?) goes down from 0.07165 to
0.070035 when going from 25 to 225 neighbors (see Fig. 3), while 0.08461 is the
error of the five-point star at the origin. The gain is not worth the effort. The optimal
stencils decay extremely quickly away from the origin. This is predicted by results
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Fig. 3 Consistency error as a function of points offered, and stencil of optimal approximation for
225 nodes, as a function on the nodes

of [20] concerning exponential decay of Lagrangians of polyharmonic kernels, as
used successfully in [14] to derive local inverse estimates. See [25] for an early
reference on polyharmonic near-Lagrange functions.

We now show how the technique of this paper can be used to compare very
different discretizations, while a smoothness order m is fixed, in the sense that the
true solution lies in Sobolev space W}'(£2). Because we have p-methods in mind,
we take m = 6 for the standard Dirichlet problem for the Laplacian in 2D and can
expect an optimal consistency order m — d/2 — 2 = 3 for a strong discretization.
Weak discretizations will be at least one order better, but we omit such examples.
The required order of polynomial exactness when using the polyharmonic kernel
is 1 + m —d/2 = 6, which means that one should use at least 21 nodes for
local approximations, if nodes are in general position, without symmetries. The
bandwidth of the generalized stiffness matrix must therefore be at least 21. For
convenience, we go to the unit square and a regular grid of meshwidth 4 first, to
define the nodes. But then we add uniformly distributed noise of +h/4 to each
interior node, keeping the boundary nodes. Then we approximate the Laplacian
at each interior node locally by taking n > 25 nearest neighbor nodes, including
boundary nodes, and set up the reduced generalized square stiffness matrix B using
the optimal polyharmonic approximation based on these neighboring nodes. On the
boundary, we keep the given Dirichlet boundary values, following Sect. 4.

Table 3 shows results for local optimal approximations based on the polyhar-
monic kernel Hg>(r) = r'®logr and n = 30 nearest neighbors. The stability
constant was estimated via (23), for convenience and efficiency. One cannot expect
to see an exact 43 behavior in the penultimate column, since the nodes are
randomly perturbed, but the overall behavior of the error is quite satisfactory. The
computational complexity is roughly O(Nn?), and note that the linear system is not
solved at all, because we used MATLAB’s condest. Comparing with Table 4,
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Table 3 Optimal polyharmonic approximations using 30 neighbors

N=M Ny =M, h Cs(B) llerlloo Cs(B)lleslloo
81 49 0.2500 2.3244 0.00075580 0.00175682
289 225 0.1250 0.3199 0.00005224 0.00001671
1089 961 0.0625 0.2964 0.00000872 0.00000259
4225 3969 0.0313 0.2961 0.00000147 0.00000044

Table 4 Optimal polyharmonic approximations using 25 neighbors

N=M Ny =M, h Cs(B) llerll oo CsB) e/l oo
81 49 0.2500 8.0180 0.00318328 0.02552351
289 225 0.1250 66.7176 0.00039055 0.02605641
1089 961 0.0625 417.8094 0.00003877 0.01620053
4225 3969 0.0313 75.5050 0.00000663 0.00050082

Table 5 Backslash approximation on 25 neighbors

N=M Ny =M, h Cs(B) lleslloo Cs(B)llerlloo
81 49 0.2500 9.0177 0.00354151 0.03193624
289 225 0.1250 25.6153 0.00058952 0.01510082
1089 961 0.0625 73.9273 0.00005482 0.00405249
4225 3969 0.0313 19.6458 0.00001186 0.00023305

it pays off to use a few more neighbors, and this also avoids instabilities. Users
unaware of instabilities might think they can expect a similar behavior as in Table 3
when taking only 25 neighbors, but the third row of Table 4 should teach them
otherwise. By resetting the random number generator, all tables were made to work
on the same total set of points, but the local approximations still yield rather different
results.

The computationally cheapest way to calculate approximations with the required
polynomial exactness of order 6 on 25 neighbors is to solve the linear 20 x25 system
describing polynomial exactness via the MATLAB backslash operator. It will return
a solution based on 21 points only, i.e. with minimal bandwidth, but the overall
behavior in Table 5 may not be worth the computational savings, if compared to the
optimal approximations on 30 neighbors.

A more sophisticated kernel-based greedy technique [27] uses between 21 and
30 points and works its way through the offered 30 neighbors to find a compromise
between consistency error and support size. Table 6 shows the results, with an
average of 23.55 neighbors actually used.

For these examples, one can plot the consistency error as a function of the nodes,
and there usually is a factor of 5-10 between the error in the interior and on the
boundary. Therefore it should be better to let the node density increase towards
the boundary, though this may lead to instabilities that may call for overtesting,
ie. touse N >> M. For the same M and N as before, but with Chebyshev point
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Table 6 Greedy polyharmonic approximations using at most 30 neighbors

N=M Ny =M, h Cs(B) llerlloo Cs(B)lleslloo
81 49 0.2500 3.6188 0.00104016 0.00376411
289 225 0.1250 0.6128 0.00006821 0.00004180
1089 961 0.0625 0.3061 0.00000961 0.00000294
4225 3969 0.0313 0.2980 0.00000123 0.00000037

Table 7 Greedy polyharmonic approximations using at most 30 neighbors, but in Chebyshev node
arrangement

N=M |N=M, _|h Cs(B) llezlloo Cs(B)llerlloo
81 49 0.2500 111.1016 0.00433490 0.48161488
289 225 0.1250 0.4252 0.00006541 0.00002781
1089 961 0.0625 1.2133 0.00000677 0.00000821
4225 3969 0.0313 0.4353 0.00000120 0.00000052
Consistency error at nodes Sparsity pattern of partial stiffness matrix
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Fig. 4 Consistency plot and stiffness matrix B for Chebyshev situation

distribution, see Table 7. The additive noise on the interior points was 0.01, and we
used the greedy method for up to 30 neighbors. This leads to a larger bandwidth
near the corners, and to a consistency error that is now small at the boundary, see
Fig. 4. The average number of neighbors used was 23.3. Unfortunately, the scaling
laws of stencils go down the drain here, together with the proven consistency order,
but the results are still unexpectedly good.

For reasons of space and readability, we provide no examples for local approx-
imations to weak functionals, and no comparisons with local approximations
obtained via Moving Least Squares or the Direct Meshless Petrov Galerkin Method.
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9 Conclusion and Outlook

The tables of the preceding section show that the numerical calculation of relative
error bounds for PDE solving in spaces of fixed Sobolev smoothness can be
done efficiently and with good results. This provides a general tool to evaluate
discretizations in a worst-case scenario, without referring to single examples
and complicated theorems. Further examples should compare a large variety of
competing techniques, the comparison being fair here as long as the smoothness
m is fixed.

Users are strongly advised to use the cheap stability estimate (23) anytime to
assess the stability of their discretization, if they have a square stiffness matrix.
And, if they are not satisfied with the final accuracy, they should evaluate and plot
the consistency error like in Fig. 4 to see where the discretization should be refined.
For all of this, polyharmonic kernels are an adequate tool.

It is left to future research to investigate and improve the stability estimation
technique via (23), and, if the effort is worth while, to prove general theorems on
sufficient criteria for stability. These will include assumptions on the placement of
the trial nodes, as well as on the selection of sufficiently many and well-placed test
functionals. In particular, stabilization by overtesting should work in general, but the
examples in this paper show that overtesting may not be necessary at all. However,
this paper serves as a practical workaround, as long as there are no theoretical
cutting-edge results available.
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Generalizations of Simple Kriging Methods
in Spatial Data Analysis

Qi Ye

Abstract In this article, we use the theory of meshfree approximation to generalize
the simple kriging methods by kernel-based probabilities. The main idea is that the
new kriging estimations are modeled by the Gaussian fields indexed by bounded
linear functionals defined on Sobolev spaces. Moreover, the covariances of the
Gaussian fields at the observed functionals can be computed by the given covariance
kernels with respect to the related functionals, for example, Gaussian kernels
evaluated at points and gradients. This guarantees that the generalized kriging
estimations can be obtained by the same techniques of the simple kriging methods
and the generalized kriging estimations can cover many kinds of the complex
observed information. By the generalized kriging methods, we can model the
geostatistics with the additional observations of gradients at the uncertain locations.

1 Introduction

The kriging method is a modern statistical tool to recover values at unknown
locations by observed data, for example, application in geostatistics in [5, 14, 15].
In this article, we will generalize the simple kriging methods combining with
the knowledge and techniques of approximation theory and numerical analysis in
[4, 6, 16].

In the simple kriging methods, we will model the kriging estimations by the
Gaussian field S with the mean 0 and the given covariance kernel K, for example, a
Gaussian kernel

Kx,y) := e_92||x_y||§’ forx,y € R,

Q. Ye ()

School of Mathematical Sciences, South China Normal University, Guangzhou, Guangdong
510631, China

e-mail: yeqi @m.scnu.edu.cn

© Springer International Publishing AG 2017 145
M. Griebel, M.A. Schweitzer (eds.), Meshfree Methods for Partial Differential

Equations VIII, Lecture Notes in Computational Science and Engineering 115,

DOI 10.1007/978-3-319-51954-8_8


mailto:yeqi@m.scnu.edu.cn

146 Q. Ye

with a shape parameter 6 > 0. Generally speaking, we observe the locations
X1y Xn,

to obtain the observed data values

flv"'sfnv

which can be viewed as the realizations of the multivariate normal random variables
SX17"'sSx”s (1)

that is, the discretization of the Gaussian field S at the data points x1, . .., x,. Thus,
we can compute the prediction at the unknown location x, by the covariance kernel
K in Eqgs. (15)-(16). We know that the kriging estimation can be also seen as a spline
function for the interpolation. In approximation theory, the interpolation is related
to the point evaluation functions

Bxrs ey Oy,

Here, the point evaluation function &, is defined by §;f := f(x). Thus, we can
rewrite the multivariate normal random variables in Eq. (1) as

8¢, Sy ..., 8,8, (2)

In this article, we have a new idea to generalize the simple kriging models such
as the generalization of classical interpolation to Hermite-Birkhoff interpolation.
Since the Sobolev imbedding theorem guarantees that the point evaluation function
Jy is a bounded linear functional L defined on the Sobolev spaces, we will extend
the multivariate normal random variables in Eq. (2) into another multivariate normal
random variables which are introduced by the general bounded linear functionals

Ly,...,L,
defined on the Sobolev spaces, that is,
LiS,...,L,S. 3

Here, we call a real-scalar linear operator a linear functional, for example, a
derivative and a integral in Remark 3. In Theorem 1, we have the Gaussian field LS
indexed by the bounded linear functional L of which covariances can be computed
by the given positive definite kernel K with the related functional L. We can observe
that the covariance matrix Ag , of L;S, ..., L,S in Eq.(8) is the generalization of
the classical covariance matrix Ag x of S, ..., Sy, in Eq.(5). This provides that
the covariances of the multivariate normal random variables in Eq. (3) are known



Generalizations of Simple Kriging Methods in Spatial Data Analysis 147

to construct the generalized kriging models by the same techniques of simple
kriging method and Bayesian estimation; hence we can obtain the new kernel-based
estimators given in Eq.(11) and Egs. (12)—(13) to model the generalized kriging
estimation.

Moreover, we can also apply the generalized kriging methods into the geostatis-
tics with more kinds of observed information at uncertain data points in Sect. 4.
To be more precise, the uncertain data points mean that the observed data values
are missed at these locations. Sometimes we may still have the increasing or
decreasing rates at some uncertain data points. For the typical example, we can
not observe the heights at some locations of the mountains while we know whether
the heights increase or decrease along some directions at these locations, that is,
the mathematical model is that the value f(x) is unknown at the observed point
x while the range of the gradient Vf(x) along the direction e is given such as

e'Vf(x) > 0ore’ Vf(x) < 0,where V := (ail s aid)T' This shows that the new
geostatistical model will be set up by the Gaussian fields indexed by the bounded
linear functionals composed of L := g, and L := §, 0 e’V same as the constructions
of the generalized kriging estimations, that is, Egs. (32)—(33). Different from the
classical geostatistical models, the covariance matrix in Eq. (20) is also set up by the
gradient and the preconditioned observed data values in Eq. (31) are the averages
of possible observed data values by kernel-based probabilities. By the numerical
example in Sect.5, we find that the generalized kriging estimation is better than
the simple kriging estimation. In this article, we mainly show the big picture of the
new idea of the kriging methods. So, we only discuss the comparisons of the simple
kriging methods and the classical geostatistics. In our next research proposals, we
will investigate another kriging methods by the same ideas and methods shown here.

2 Initial Ideas

Let us look at a simple example of the one-dimensional interpolation in Fig. 1 such
as we have the observed data values fi,...,f7 € R at the data points x1,...,x7 €
[0,1] € R. Our target is to predict the value at the unknown location xo € [0, 1]
based on the interpolation conditions by the statistical and numerical techniques.

In the spatial statistics, we can predict the value at the unknown location xy by
the simple kriging method in [14], that is, the simple kriging model set up by the
Gaussian field S with the mean 0 and the covariance kernel K, where K is a Gaussian
kernel defined on [0, 1] x [0, 1].

Remark 1 A stochastic field § : D x 2 — R defined on a probability space
(2,7, P) is called a Gaussian field with a mean 0 and a covariance kernel K :
DxD — Rif, foranyx € D C R4, the random variable S, is a normal random
variable with the mean 0 and the variance K(x, x) in [3, Definition 3.28].
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Fig. 1 The 1D example: The red circles represent the observed data values fi, . .., f; at the data

points xi, . . ., x7 shown in the blue circles, and the blue square represents the unknown location x.
The covariance kernel of the Gaussian field S is the Gaussian kernel K with the shape parameter
6 = 6. The best prediction s(x) of Sy, conditioned on the observed data is shown in the red square.
The kriging estimations shown in the green curve run along the means of the normally distributed
confidence intervals of 99% shown in gray

For example in Fig. 1, the simple kriging method provides the best linear
unbiased prediction s(xo), that is,

,
5(0) 1= E (Sl = fis oo Sy = f1) = ) o,

k=1

where the elements wy (xg), . . . , w7(xo) are uniquely solved by the linear system
K(x1,x1) -+ K(x1,x7)\ (wi(xo) K(xo,x1)
K(x7,x1) -+ K(x7,x7) w7(x0) K(xo,x7)

Recently, the meshfree methods (radial basis functions) give a numerical tool to
construct the kernel-based interpolant u by the non-polynomial basis in [6, 16], for
example, the kernel-based interpolant u is a linear combination of the Gaussian-
kernel basis, that is,

;
u(x) := chK(x,xk), for x € [0, 1],
k=1
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Fig. 2 The example of the initial ideas: The observed data fi, ...,f; and xi, ..., x7 (red and blue

circles) are the same as in Fig. 1. The blue, green, and black curves represent the piecewise linear
spline u;, the polynomial interpolant u,, and the kernel-based interpolant u3, respectively. The red
and pink squares represent the different estimate values vy, v; at the location x

where the coefficients ¢y, . . ., c; are uniquely solved by the linear system
K(xi,x1) -+ K(x1.x7)\ (a1 fi
K(x7,x1) -+ K(x7,x7)) \¢7 7

We also find that u(xp) is equal to s(xg) for any xo € [0, 1] (see the green curve in
Fig. 1).

Moreover, the paper [13] and the book [7] show that the formulas of the simple
kriging method and the meshfree approximation are the same for the general positive
definite kernels. Based on the new discoveries of Scheuerer et al. [13], we renew
the kernel-based methods combing with the knowledge of statistics and probability,
stochastic analysis, approximation theory, and numerical analysis in the recent
papers [17, 18].

Now let us look at the initial idea of this article in Fig. 2. In numerical analysis,
many choices of the continuous functions satisfy the interpolations such as the
piecewise linear spline u;, the polynomial interpolant u,, and the kernel-based
interpolant u3 in Fig.2; hence we will have the different estimate values, for
example, the values vy, v, at the unknown location xo in Fig.2. In stochastic
analysis, we will view the interpolating paths u;, u,, u3 as the sample events. Thus,
the estimate values vy, v, are supported by the interpolating paths u;, up, u3 such
that the probabilities p;,p, at vy, v, are endowed with 2/3,1/3, respectively in
Table 1. Based on the similar techniques of the Bayesian estimation in [2], the
best estimator v is the average of vy, v, weighted by the probabilities py, p,, that
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Table 1 The probabilities of the estimate values vy, v, at the location x; in Fig. 2

Location | Probability at v; in red Probability at v, in pink Best estimator
Xo := 0.4 | p; :=2/3 (supported by uy, u3) | p> := 1/3 (supported by u;) |0 := vip; + vop2

is, U := v1p; + vap2. Here, we obtain the best estimators by the global interpolating
paths and the best estimators are solved by the local averages. This indicates that
a probability structure of the interpolating paths is needed to measure the estimate
values.

Fortunately, the construction of the Brownian motion inspires the connection of
the interpolating paths and the Gaussian fields. It is well-known that the standard
Brownian motion W is a Gaussian field with the mean 0 and the covariance kernel
K(t,s) := min{z,s}. [11, Chap. 2] provides that the Brownian motion is defined
on the continuous function space C[0, co) and that the Wiener measure Py is well-
posed on the sample space (£2«, %) composed of the function space C[0, co) and
the Borel o-algebra 8 (C[0, c0)). By [11, Theorem 4.20], the coordinate mapping
process W;(w) := w(¢) fort € [0,00) and w € Q. is a standard Brownian motion on
the probability space (24, Fx«, Px). Moreover, we find that the initial condition Yy =
yo of the simple stochastic ordinary differential equation dY; = dW, is equivalent
to the interpolation at the origin. This indicates that we can extend the interpolating
paths uy, up, us in Fig. 2 to all interpolating paths in C[0, co) such that

A(f) =={w € C[0,0) : w(x1) =f1,...,0(x7) = f1},
can be equivalently measured by the multivariate normal random variables
Wepoooo, Wy,

Then we can make a connection of the interpolations and the Gaussian fields, that
is,

A(f) = {w € Qu : Wy () = fi,..., Wy(0) = fr}. “4)

In numerical analysis, we can extend the interpolations at the points to the
Hermite-Birkhoff interpolations at the derivatives, for example, meshfree approx-
imation for partial differential equations in [6]. The idea of Eq. (4) let us generalize
the kriging methods for the Hermite-Birkhoff data with the differential operators
similar as the equivalent formulas of the kriging methods and the meshfree
approximation in the previous example. In the papers [17, 18], we extend the
initial idea in Fig. 2 to all interpolating paths in the Sobolev spaces such that the
generalized Hermite-Birkhoff interpolations are connected to the Gaussian fields
indexed by the bounded linear functionals in Theorem 1. Therefore, we can obtain
the best estimators by Gaussian fields at the observed linear functionals in the
following sections.
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3 Kernel-Based Approximations via Kernel-Based
Probabilities

In this section, we will study the kernel-based approximation by the kernel-
based probabilities. These kernel-based probabilities are introduced by the positive
definite kernels such that we can construct the normal random variables on the
Sobolev spaces by the bounded linear functionals.

Remark 2 The positive definite kernel K : D x D — R is defined same as in [16,
Definition 6.24], that is, the quadratic form Z]'.szl cjckK(xj,x;) > 0, forany n € N,
any distinct points X := {x,...,x,} € D, and any ¢ := (cy,--- ,c,,)T e R"\ {0}.
This is equivalent that all matrixes

K(xlsxl) K(xlvxn)
Ak x = . (5)
K(xnsxl) K(xnvxn)

are strictly positive definite.

Firstly, we review the theorems of the constructions of normal random variables
over kernel-based probabilities in the recent paper [18].

Theorem 1 ([18, Theorem 2.1]) Suppose that D € R is a regular and compact
domain and the positive definite kernel K € C*™! (D x D) for m > d/2. Let L be a
bounded linear functional on the Ly-based Sobolev space H™ (D). Then there exists
a probability measure Pk on the measurable space

(Qu, Fn) := (H"(D), B(H"(D))) ,
such that the normal random variable
LS(w) := Lo, forw e Q,,

is well-defined on the probability space (Qm, Fons PK) and that this random variable
LS has the mean 0 and the variance LyLyK (x,y). Moreover, the probability measure
P is independent of the bounded linear functional L.

Remark 3 In Theorem 1, the Sobolev space H"™ (D) is endowed with the inner prod-
uct (@1, @) gm(p) = I jgj<m Jp D*@1()D*w1(x)dx, the collection B (H" (D))
represents the Borel o-algebra in the Sobolev space H" (D), the element w €
Q,, represents the sample path (trajectory), and the space C*™! (D x D) C
C?™ (D x D) consists of all functions which have the continuous derivatives up
to the order 2m and of which the 2mth partial derivatives satisfy the Lipschitz
condition. A linear functional L : H™(D) — R is called bounded if there exists
a constant C > 0 such that |[Lo| < C ||||gmp, for all o € H™ (D). Its equivalent
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concept is that a bounded linear functional L is continuous on H"™ (D). Moreover,
the notations L, and L, denote the linear functional L associated to the first and
second arguments of x and y, respectively, that is, L,K(x,y) = L(K(-,y)) and
LK(x.y) = L(K(x.")).

In Theorem 1, the Sobolev space H" (D) and the Borel o-algebra B (H" (D))
are thought as the sample space (£2,,, 7,,) of the probability space, and this (£2,,, )
is endowed with the probability measure Px. Since the Sobolev space H™ (D) and
its dual space H™ (D)’ are isometrically isomorphic, there exists a unique element
gL € H™ (D), which is equivalent to the given L € H™(D)’, such that

LS(w) = Lo = (@, gL)gm(p)» forw € Q, = H"(D);

hence the probability measure P is also a Gaussian measure in [3, Definition 3.29].
Moreover, the probability measure Px is only dependent of the positive definite
kernel K. When the kernel K is fixed, then the probability space (Qm Fns ]P’K) will
not be changed by any L € H"(D)’. In another hand, the probability distributions of
the normal random variable LS are affected by the linear functional L and the kernel
K, for example, the variance of LS. So, we can call Pk the kernel-based probability
measure of K.

In this article, we will not discuss the choices of the best kernels and the
positive definite kernel K € C>™! (D x D) is always given and fixed such that
the probability measure P is uniquely defined on the Sobolev space H"™ (D) by
Theorem 1. Here, the degree m is always larger than d/2 for the Sobolev imbedding
theorem [1, Theorem 4.12].

Let the collection G be composed of all normal random variables LS given in
Theorem 1, that is, G := {LS : L € H™(D)’}. Clearly, the dual space H" (D)’ is a
Hilbert spaces; hence G is a Gaussian Hilbert space and the linear isometry L +— LS
is a Gaussian field indexed by the Hilbert space H™ (D)’ in [10, Definition 1.18
and 1.19]. By the Sobolev imbedding theorem, the point evaluation function &, at
any x € D is a bounded linear functional on H" (D), where 6y = w(x) for all
® € H™(D). Thus, the normal random variable 6, is well-defined for any x €
D. We can also observe that {§,S : x € D} is equivalent to a classical Gaussian
field with the mean O and the covariance kernel K. This indicates that the Gaussian
fields indexed by the bounded linear functionals give a new tool to construct the
generalized kriging models.

Kernel-Based Approximation: Now let us look at the generalized Hermite-
Birkhoff interpolation. Suppose that we have the observed data values

fireoifn €R,
evaluated by some unknown function f € H™ (D) at the bounded linear functionals

Li,....L, € H"(DY,
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on the Sobolev space H™ (D), that is,

fl ::Llfv"'vf;l =Lnf

Denote that the vector data value and the vector bounded linear operator
fr=(i o) €RY L= (i L)' € @ H'(D).
Then £f = f. By the observed data £ and f, we will predict the unknown value

Jo:=Lof €R,

evaluated at another bounded linear functional Ly € H™(D)’. For example, if the
bounded linear functionals are the evaluation functions at the unknown data point
xo € D and the observed data points X := {x1,...,x,} C D, that is,

Ly := 8y, L1 := 6,y ..., Ly := 0y,

then this typical interpolation is the same as the classical geostatistical problem.

Since a lot of functions in H" (D) satisty the interpolation conditions, we will
construct the estimators based on the collection of all interpolating paths in H" (D),
that is,

Ar(f) ={w e H'(D) : Lo =f}.

Obviously, the unknown function f always belongs to the subset A, (f). Actually,
there are many choices of the prediction v € R of the unknown value f; such that
we need to investigate the different subset

A, () = {w € H*(D) : Lyw = v}.

If we can confirm that f belongs to A, (0) N Ay (f) for some prediction v, then
U = fy. But, it is so difficult to check which prediction 0 satisfies the sufficient
condition of f € Ay, (V) N Az (f).

The kernel-based probability measure Px given in Theorem 1 provides a new
numerical tool to measure the probability of f € Ay, (v) N Ay (f) for the different
prediction v, that is, Pg (A, (v) N Ax (f)). We also find that

Pk (A, (v) N AL (f) = P (A, (v) [ AL () P (AL ()

Since the observed data £ and f are already given, the interpolation Ay (f)
is thought to happen; hence the prediction v can be equivalently weighted by
the conditional probability Pk (A, (v) [Ax (f)). By the same techniques of the
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Bayesian estimation, the best estimator Uk 1 | is the average of the prediction v
weighted by the conditional probability Pk (A, (v) |Ax (f)), that s,

Dk soies = Y VPk (A, (0) |AL () . 6)

vER

Theorem 1 guarantees that the normal random variables
LyS, LiS,...,L,S,

are well-defined on the probability space (£2,,, ¥, Px). We denote the multivariate
normal random vector

LS := (LS, -+, L,S)T.
According to the constructions of LyS and LS, we have
A, (v) ={w € Qy : LoS(w) = v}, Ar(f) ={w e Q,: LS(w)=f}.

Thus, the conditional probability Px (Ag, (v) |Ax (f)) can be computed by the
normal random variables LS and LS, that is,

Pg (AL, (v) [AL (f) = Pr (LoS = v[LS =f);
hence

D P (AL, ) [AL () =Y Px(LoS =v|LS =) =1,

veER veER

such that the best estimator Uk 1|z in Eq.(6) can be rewritten as the conditional
mean

D soles = Y vPk (LoS = v|LS = f) = E(LoS|LS = ). (7)

veR

Since LyS has the mean O and the covariance Lo,LoyK(x,y) and LS has the
vector mean 0 and the covariance matrix

LIJLIJKXX,y)"'leLnyKXX,y)
Agri= LeLTK(x.y) = : ®)
meLlyKXX,Y) o melmyKXX7Y)
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the conditional probability density function pk 1| of LoS given .LS be represented
as

2
1 (v —m ro127)
PrLc(Vlf) = exp (— 9o : .
Ok.Lo| £V 2T Ok Loz

where the mean
my ro\zs = Lok Ak of

and the standard deviation

UK.,L()\L = \/Lo,xLo,yK(x,y) — LOkIJ;,LA}L{,LLOkK,iv (9)
such as the proofs of Ye [18, Corollaries 2.7 and 2.8]. Here, the vector

T

LOkK,.C - (LO,xLl,yK(xsy)v Tty LO,an,yK(xvy)) 5

is computed by the kernel basis
T
kg r(x) == L,K(x.y) = (LiyK(x,y). - . LiyK(x.y)) . forx € D.

Therefore, the conditional mean vk ;)¢ in Eq.(7) can be computed by the condi-
tional probability density function pg ;| ¢, that is,

Ok LolLf = APK,LOLC(U F)dv = mg 1250 = L0k1T<,_/;A;<,£ (f =L . (10

Remark 4 Since the covariance matrix Ak s is always positive definite, the pseudo
inverse A}; 1 of Ag ¢ is well-defined by the eigen-decomposition of Ak /.

We know that the kriging estimations can be modeled by a kernel-based function.
Now we show that the best estimator U 1,|rf in Eq.(10) can be computed by a
function sk sy such as

Uk 1ol = LoSk.Lf- (11)
Observing Eq. (10), the function sk s can be represented as
sk.Lf(x) 1= kx r(x)Tc, forxe D, (12)
where the coefficient ¢ is uniquely solved by the linear system

Axrc =f. (13)
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Here, when the covariance matrix Ak , is singular, then ¢ is the least-square
solution of linear system (13). Thus, we call this estimation Lysk oy the kernel-
based estimator for the observed data £ and f. The kernel-based estimators can be
viewed as the general estimation in [12].

In particular, when Ly := 8y, and L := (6,,- - ,SXH)T, then
K(x,x1)
kK,‘sX(x) = kK,X(x) = , forx e D, (14)
K(x,x,)
and

AK,S x = AK,X;
hence the kernel-based estimator Losk s can be rewritten as

Losk.s = skxs (%0) = wrx (%)" f, (15)
where the Lagrange basis wg x (x) is solved by the linear system
AK,XwK,X (x) = kK,X(x), forx € D. (16)

It is clear that the kernel-based estimator Losk s in Eqgs. (15)—(16) is equivalent
to the simple kriging estimation. So, we call the general kernel-based estimator
Losk. z, s, in Eq.(11) and Egs. (12)—(13) the generalized kriging estimation.

Convergence: Finally, we look at the convergence of the kernel-based
estimators by the same techniques in [18]. Suppose that the vector operator
Loo := (Ly,-+- Ly, -+ ')T composes of the countable bounded linear functionals
Ly,...,L,,... on the Sobolev space H™(D) and the observed data values
foo = (i, fus- ~~)T composes of the countable values fi,...,f,, ... such that
there exists a unique solution f € H" (D) satistying the interpolation conditions,
thatis, Loof = f- For example, the vector operator Lo, composes of the countable
point evaluation functions 8y, . .., 8y, , . . . at the data points Xoo := {X,}o, which
is dense in the domain D. Let £, := (Ly,--- ,L,)" and f, := (fi,--- Jf)! for all
n € N. Then we have

o0
Ap (f) 22 AL, (f) 22 0 AL, (f)) = Ares (foo) = {r}:
hence we can obtain the convergence of the kernel-based estimators such as
lim Losg g, r, = lim E(LyS|.L,S =f,) = lim E(LyS| Ay, (f,))
n—>00 n—00 n—00

=E (LoS|Axo (fo0)) = Lof
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for any bounded linear functional Ly on H" (D). It is obvious that the convergence
is independent of the bounded linear functional L,. Therefore, we have:

Proposition 1 Let Ly be any bounded linear functional on H™ (D). If there exists a
unique solution f € H™ (D) satisfying the interpolation conditions for all observed
data L, andf, discussed above such as Loof = f oo, then the kernel-based estimator
Losk. g, 5, in Eq. (11) and Egs. (12)—(13) converges to the unknown value Lof when
n— oo.

In particular, when Ly is the point evaluation function dy, at any xo € D, then
lim s g, s, o) = Hm 8xSk z,f, = xf = f (x0).
Remark 5 We compute the conditional mean square

E (\LOS — Losk.z,f,

2 _ _ 2

‘L"S —fn) = 9K.LolL,
where the conditional standard deviation ok 1|z, is given in Eq.(9). We can also
check that ok 1|z, is equivalent to the (generalized) power function in meshfree

approximation in [16, Sects. 11.1 and 16.1]. The details of the error bounds of the
kernel-based estimators will be discussed in our next paper.

4 Applications in Geostatistics

In this section, we apply the kernel-based approximation to model the geostatistics.
In the classical geostatistical problems, we have the observed data values

fiso- o fu €R,
at the known locations
X1,...,Xp GDQR",
that is,
Sri= ), fa =S (),

for some function f € H™ (D). Let
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Same as in Sect.3, the positive definite kernel K € C?"!(D x D) is fixed
here to construct the kernel-based estimators (kriging estimations), for example,

the Gaussian kernel K(x,y) := e~ lxll2 belongs to C®° (D x D).
By the simple kriging method, we can obtain the best prediction

skxys (X0) = wgx (xo)Tf = kg x (xO)T o, (17)

in Egs. (15)—(16) to measure the value at the unknown location xy € D, where the
coefficients a are uniquely solved by the linear system

AK,Xa :f (18)
Usually, we may not have the observed data values at another locations
le---,ZtGDERd-

But, we can still observe the rates of the changes along the directions

er,...,e; € R? subjected to [lei, =+ = |le]|, = 1,
at these locations z, ..., z;. To be more precisely, we have the additional rates of
the changes
g1,...,8 €R,
along the directions ey, ...,e; atzy, ...,z thatis,

g1 =e[Vf(z1).....8 =€ Vf(z),

where V is the gradient composing of the partial derivatives 821 ey aid. Let
5z1 ° e{V 81

§70EV := ; og=| ], Z={z, o n), E::(e1~~-e,)T.
8, 0el'V &

Here 8, 0 e” V is the gradient along the direction e at any z € D, that is, §; o e’ Vf =
e Vf(z). Usually, we can not obtain the exact values of the gradients. But, we can
easily obtain the positive or negative (increasing or decreasing) rates of the gradients
along the observed directions, for example,

e'Vf(z) > 0ore’ Vf(z) <0.
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For convenience, we give a new notation of the equality “£” in this article for 0"
and 0~. We define the equalities of ¢ € R and 0T, 0~ in the following way:

are equivalent to

So, we further suppose that gy, ..., g, are endowed with 0% or 07, that s,
g :=0"or07,...,g,:=0"or0".
In this section, we assume the degree
m>14+d/2,

such that the point evaluation function 8, and the point gradient §,0e’ V are bounded
on the Sobolev space H" (D) for any x,z € D by the Sobolev imbedding theorem.
Thus, the vector bounded linear operator and the vector observed value are well-

defined by
[ & —(f
£ (5, 00) £ ()

According to Theorem 1, the normal random variable d,,S and the multivariate
normal random vector LS are well-defined on the probability space (2,,, ., Pk).
In this section, we will construct the kernel-based estimator sg r¢ (X0) = x,5k £.¢
same as in Eq. (7) to measure the prediction at the unknown location x( based on
the observed data £ and &.

Since some elements of the data values & include 0% or 0~ such as g, we need to
recompute the conditional mean

.25 (50) = Susxre = B (85|£5 2 ). 19)

by the same techniques of Eq.(10). Here, when &k = 1,...,n then L;S 2 & is
equivalent to §;, S = fy, and whenk =n + 1,...,n + t then LS 2 & is equivalent
08, _,0el_ VS > 0oré, 6 oel_ VS < 0 dependent of gi—, = 0% or 0. For
computing the conditional mean, we need the probability density function px , of
LS, that is,

1 N )
u) = expl— u' A, jul,
pr.c(u) Jdet (2A.2) P( KU Aks
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where det; is the pseudo determinant, that is, the product of all nonzero eigenvalues
of a positive definite matrix. Here, the covariance matrix Ak r can be precisely
written as

Axyx B
Ae  — X Bgxz 5
KL (B/K,XZ Akz )’ e

where

elTVszTelK(zl,zl) s elTVszTetK(Zlazt)
AL, = Aks,oEV = , Q1
e’'V.V'e\K(z,21) -+ e ViV eK(z:,2:)

and

T
e{VxK(zl,xl) elTVxK(zl,xn) elTVZTK(xl,zl) etTVzTK(xl,zr)
By xz == =

e,TVxK(zr,x1) etTVxK(z,,xn) elTVZTK(x,,,zl) etTVzTK(xn,zr)

For simplifying the complexities of the notations, we redefine some notations of the
integrals as follows:

+o0
L =9, [, pwan= [ g

/ué()i ¢(u)du = /_io ¢ (u)du.

Then the conditional mean sg £ ¢ (xp) in Eq. (19) can be rewritten as
1
Sk.Lt (X0) = vpK,gxo,L(v,u)dudv, (23)
q Jr uéE
where pg s« 1s the joint probability density function of 8x,S and LS, and
q:= /A p.c(u)du.
ubs

(Here g is not the probability.) Since

PK 8. £(V.8) = pr s | c(V[W)pk £ (W),
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we have
/ vpis, (0. w)dV = pi () / Uk £ 0l)dD = kg ¢ (v0) AL u, (24)
R R

where the kernel basis kg _r(x) can be represented as

kg x(x)

ki c(x) := (k/ (x)) , forx e D,
K.Z

and

el VoK (x,21)
Ky 7(x) := ki s,0ev(X) = : , forxeD. (25)
e/ V.K(x,2,)

Putting Eq. (24) into Eq. (23), we have that

sk.re (x0) = k.2 (o) AL £, (26)

where

~ 1
&=, / upg r(w)dz = E (£S|LS = g) . (27)
q Jusg

A

Clearly, the kernel-based estimator sk r¢ (xo) is a linear combination of the kernel
basis kg s (xo), that is,

sk.z.¢ (x0) = ki 1 (x0)" ¢, (28)

where the coefficients ¢ are uniquely solved by the linear system

~

Axrc=E&. (29)

Moreover, we simply the right-hand side é of linear system (29). When k =
1,...,n, then & = f;; hence

é fulésl "'fuk=fk ) “fun+té$n+t wepk £ (u)du
k — = Jk-
fuléél '“fuk=fk ’ ”funJrréEnth Pk.c(w)du

Whenk =n+1,...,n+t then £ = g = 0" or 07; hence

2 fuléfl ”"/'MkZO oru=<0 " ”'/'un-‘,-tégn-‘rt ugpk.£(u)du LA
gk = d =: &k—n-
fuléél “’fukZOOrukﬁou"/‘u,,+,éfn+,pK"C(u) u
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Thus,

é = (g), whereg: =1 : |. (30)
8t

We will also simplify the computation of ¢ by the conditional probability density
function pk 5,0ev|s, Of 67 0 EVS given 8xS, that is,

1 1 !
PK.§,0EV |5y (U lf) = P (_ 2 (v - mK,SZOEV‘SXf)
\/detT (27 2k 5,0EV8x)

.
X Bk g,089]sy (U — MK 8,0E9]51.f) ) ,

where
My 5,06Vl = By xz Ak xf
and
T s,0EVisy = Ak 7 — B/K,XZAI;,IXB/IT(,XZ'
Since
Pr.£(v.f) = pr.sz0evisy (0[P s (f),
we have
= fvég VP 5,0EV|sy (V[f)dv a1
o2y Prs20Evis, (W[f)dv -

Approximation of the preconditioned g: Finally, we will study the efficient
algorithm to approximate g. We generalize the multivariate normal random vectors

vy,...,0; ~1idN (mK,szovaXf, EK,szoEV\sx) )
A
and we choose all random vectors vy, ..., Vs, € {vk =g, k=1,... ,s};hence
we have
1 r
g~ Vy;
r

~.
I
-



Generalizations of Simple Kriging Methods in Spatial Data Analysis 163

Remark 6 We compare the observed data values g and the preconditioned data
values g. The data values g and ¢ have the same sizes. The elements of g are chosen
from {O+, 0_} while the elements of g are chosen from R. Thus, the equality of

v & g represents the range, that is, vy > 01if g, = 0t or v, < 0if gr = 07
for k = 1,...,¢. In the other hand, the equality of v = g represents the point.
Moreover g can be viewed as the average of g over the area of v £ g by the weight
Pk 8,0EV sy (V[f)dv.

In conclusions, we can combine Egs. (28)—(30) to obtain the generalized kriging
method to measure the prediction at the unknown location xo € D by the kernel-
based model

Skx.zfg (%0) := sk rg (%0) = ki x (x0)" @ + Ky, (x0)" B. (32)

where the coefficients & and f are uniquely solved by the linear system

(AK,X B/IT(,Xz) (ot) _ (f) (33)
B/K,XZ A/Ié,Z B g

Here, the kernel bases kg x (x) ,k}{qz (x), the matrixes Ak x, Ay ,, By y,, and the
vector g are defined in Egs. (14), (25), (5), (21), (22), and (31), respectively.

5 Numerical Examples

In this section, we will study the numerical example of the generalized kriging
method in geostatistics given in Egs. (32)—(33). For convenience, we look at an
example given by the Franke test function f € C*(R?) given in [6]. Then we can
obtain the observed datay,,...,y, € [0,1]? and f(y,),...,f(y,) € R in the left side
of Fig. 3.

It is well known that the Gaussian kernel K € C*°(R? x R?) is a positive definite
kernel. Therefore, the geostatistical models given in Sect. 4 are well-defined for the
Gaussian kernels. In this section, all numerical tests of the (generalized) kriging
methods are set up by the Gaussian kernel

K(x,y) := e“gzll"_y”%, forx,y € [0, 1]%,

with the shape parameter § := 3. Many other positive definite kernels can be
found in the papers [8, 9] such as Sobolev-spline kernels, cubic-spline kernels, and
(generalized) min kernels.

By the simple kriging method, we can obtain the kriging estimations at the
unknown location xo € [0, 1]? in Egs. (17)—(18) dependent of the observed data
Yis...,y,andf(y),...,f(y,), for example in the right side of Fig. 3.
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Fig. 3 In the left panel, the blue circles represent the Halton points y,, . ..,y, and the red circles
represent the data values f(y;), ....f(y,) given by the Franke function f, where r = 81. The right
panel is the 2D example of the simple kriging method. The kriging estimations given in Egs. (17)-
(18) are calculated by the observed data y, and f(y,) for k = 1,....r. The bottom color bar
represents the values of the absolute errors

Now we study the numerical example for the missing observed data values at
the data points z;,...,z, € [0, 1]%. But, we still have the positive or negative rates
81,-..,8& € {0+, 0_} of the gradient V along the directions ey, ...,e; atzy, ...,z
wheree; =---=¢,:= (1,0)T and V := (azl’ aiz)T' Here g := 0" ife] Vf(zx) >
Oorgy =07 if e,{Vf(zk) < O0fork = 1,...,t In the following numerical tests,
we only have the observed data values f(x1),...,f(x,) € R at the data points
X1,...,X, € [0,1]?suchthatn+¢ = rand {x,..., %, U{z1,....2} = Oy .. 00005
for example in the left side of Fig. 4.

Therefore, we can obtain the generalized kriging models given in Eqgs. (32)—(33)
for the dataxy,...,x,,21,...,2 and f(x1),...,f(x,), g1, ..., &, for example in the
right side of Fig.4. Comparing the right sides of Figs.4 and 3, we find that the
generalized kriging estimations are closed to the simple kriging estimations even
though more than 30% observed data values are missed at zy, . .., Z;.

Finally, we look at the root-mean-square errors of the simple and generalized
kriging methods for the different observed data points in Table 2. By the compu-
tational results, the generalized kriging method is better than the simple kriging
method. The reason is that the generalized kriging method can cover the observed
gradients at the uncertain data points which the simple kriging method can not
process. More numerical tests will appear in the personal website of the author.



Generalizations of Simple Kriging Methods in Spatial Data Analysis 165

09 °
08 °
o7t o . °

06 ° .

04 oyt
03| . °
02 . ° °

01 -

a
0 01 02 03 04 05 06 07 08 09 1
X2

Fig. 4 The left panel shows the observation locations. The blue circles represent the data point
Xy, ...,x, with the observed data values. The green circles represent the data points zi, ...,z
without the observed data values but with the gradients observation. Here n = 56 and ¢ = 25. All
data points xy, ...,x, and zy, ...,z are the same as the Halton points y,, ..., y, in Fig. 3. The right
panel is the 2D example of the generalized kriging method. The generalized kriging estimations
given in Egs. (32)—(33) are calculated by the discrete observation of the Franke function f at the
data points xy,...,x, and zy, ...,z,. The bottom color bar represents the values of the absolute
errors

Table 2 The root-mean-square errors of the simple and generalized kriging methods for the
different observed data evaluated by the Franke function f

Simple kriging | Generalized kriging | Simple kriging | Generalized kriging
Data points | n = 56 n=>56andt =25 n =45 n=45andt = 36
Errors 0.0196 0.0184 0.0294 0.0288

6 Final Remarks

In this article, we generalize the kriging methods to estimate the predictions at
the unknown locations by the mixtures of the observed data values and observed
gradients at the chosen data points. Same as the ideas of the papers [17, 18], we
combine the knowledge of regression analysis, stochastic analysis, approximation
theory, and numerical analysis to obtain the kernel-based estimators induced by the
Gaussian fields indexed by bounded linear functionals defined on Sobolev spaces.
Therefore, we can obtain the new models in geostatistics.

To reduce the complexities of the discussions, we only consider the generaliza-
tion of the simple kriging methods for the non-noised data in this article. So, we can
always obtain the exact information of the positive or negative rates of the changes at
the uncertain data points. Actually, the generalized kriging methods can also cover
the noised data. In our next paper, we will show that the kernel-based estimators
in Eq. (11) and Eqgs. (12)—(13) can be updated to solve the inverse problems for the
noised data. Moreover, the Gaussian fields given in Theorem 1 can be endowed with
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the nonzero means such as the polynomial mean provided in [18, Theorem 6.1];
hence another generalized kriging methods can be also introduced similar as the
universal kriging method and the IRFk-kriging method in [5].
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Evaluation of Local Multiscale Approximation
Spaces for Partition of Unity Methods

Marc Alexander Schweitzer and Sa Wu

Abstract The simulation of the behavior of heterogeneous and composite materials
poses a number of challenges to numerical methods e.g. due to the presence of
discontinuous material coefficients. Moreover, the material properties of fibers and
inclusions are significantly different from those of the surrounding matrix. Thus,
the gradients of the solution feature a substantial discontinuity at the material
interface between inclusions and matrix. Hence, materials with many fine scale
inclusions need a very high resolution mesh in the context of traditional finite
element (FE) analysis. However, many approaches within the context of numerical
homogenization have been proposed to tackle and overcome this need for a large
number of degrees of freedom. To this end, either discontinuous coefficients are
replaced by smooth effective coefficients or, standard FE shape functions are
replaced by more complex, numerically computed shape functions while the overall
quality of the approximation is retained. In this paper we study two-dimensional
examples of heat transfer and (linear) elasticity in composite materials using a
number of different homogenization approaches with the overall goal of evaluating
and comparing their performance when used for the construction of multiscale
enrichment functions for a partition of unity method (PUM).
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1 Introduction

In a classical FE analysis approach to the simulation of heterogeneous and compos-
ite materials, a major challenge is the need for a very high resolution mesh i.e., a
large number of degrees of freedom, to resolve the discontinuities of the material
parameters associated with the heterogeneity of the material. Thus, the resulting
linear systems are very large and often numerically challenging to solve due to a
large variation of the material parameters. A number of approaches [2, 7-9, 11, 16]
have been proposed over the years to overcome these issues. Typically, in these
so-called numerical homogenization techniques, the global heterogeneous problem
is tackled by a two-step approach: First, we either construct simplified effective
material parameters (an homogenized model) or we construct more effective
multiscale basis functions that respect the material’s heterogeneity implicitly. Then,
the global material response is approximated either via the homogenized model
using standard FE basis functions or the heterogeneous model is approximated
directly with the help of the constructed multiscale basis functions. Note that the
second step, the so-called online phase, requires a much smaller number of degrees
of freedom to attain the required accuracy than the much more involved offline phase
in the first step.

Even though all numerical homogenization approaches share this general pro-
cedure their specific goals may be quite different. For instance, some techniques
[2, 7, 11] aim at the construction of multiscale basis functions that provide spectral
convergence properties while most other approaches settle for linear convergence
with respect to the energy norm. Note, however, that for most practical purposes the
asymptotic behavior of the considered construction are of limited value since we
seek to employ a very small number of degrees of freedom in the online phase only.
Thus, we usually stay in the pre-asymptotic regime in the online phase in practice
and there it is not clear which homogenization approach provides the most efficient
approximation overall to the global problem.

The goal of our work is the evaluation of various numerical homogenization
techniques for the construction of multiscale basis functions with respect to
their effectiveness in the context of so-called generalized finite element methods
(GFEM), i.e., partition of unity methods (PUM). To this end, we compare the
approximation properties of the considered numerical homogenization approaches
using tools from approximation theory (Kolmogorov n-widths and sup — infs), the
computational costs associated with the construction of the respective multiscale
basis functions as well as their performance within a PUM in this paper. In
particular, we consider a bi-material composite with circular/spherical inclusions
and study the robustness of the different multiscale basis functions with respect to
the contrast of the material parameters and the distribution of the inclusions.

The remainder of the paper is structured as follows. First, we describe the
considered model problem in Sect. 1.1 before we shortly review the PUM frame-
work for the discretization of the global model problem in Sect.2. Then, we
discuss the approximation theoretic tools employed for the comparison of different
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multiscale basis systems and present the respective general construction principles
in Sect. 4 before we introduce the concrete approximation spaces from numerical
homogenization considered in our numerical experiments. Here, we focus on the
numerical computation of two quantities, the n-widths, which characterizes the
accuracy that can be obtained using an optimal choice of n basis functions, and the
sup — infs, which characterize the accuracy that is obtained with a specific choice of
n particular basis functions. We summarize the results of our numerical experiments
in Sect. 6. Finally, we close with some remarks in Sect. 7.

1.1 Model Problem

To introduce our model problem, we consider a heterogeneous or composite bi-
material defined via two disjoint open sets €21, €2, such that

1 Q,
Q=QURHLCR, k:QoR, k=) * 1)
C xe€Q,,

where €2, denotes the matrix phase and €2, the union of all inclusions, compare
Fig. 1. When we study the elastic response of the material, we assume a Poisson
ratio of v = 0.3 in both phases and choose the Young modulus by E(x) := «(x)
given in (1). Thus, the Lamé coefficients are given by

. VK (x) kW
A= -y PO T o0y
p e | |® © e
[ r.. T i allc
...E- L .‘o L] .._
® '.:o..- ] ’....
| ...:.: - o ... ®|

Fig. 1 Square domain 2 with Dirichlet boundary I'p (red), Neumann boundary 'y (magenta) and
121 randomly distributed circular inclusion of random size, 2500 randomly distributed and 2597
regularly distributed circular inclusions of the same size (light green circles). The gray lines depict
the internal patch boundaries dw; \ Q2 of a 3 X 3 PUM cover. We will refer to these material
configurations as cases A, B, C (left to right)
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The equations for both heat transfer and linear elasticity can be written within the
same notation

—V.o() =fin Q,
u=gonlp CIQ, (2)
o) -n=honTy =02\ TIp

with outer normal n. For ease of notation we do not differentiate explicitly between
the scalar solution u : 2 — R to the heat equation, where

e(u) := Vu, o(u) ;= ke(u), (o(u),e(u)) := o) -e(u),

and the vector-valued linear elastic response u : Q — R? with
1
€(u) 1= 5 (Vu+Vu"), o(u) :=2ue@)+Atre@l, (o). e(w)) = o) : ().

But, we rather employ a more abstract notation that encompasses both cases by
defining

H'(Q) := H'(Q) for the heat equation and
(3)
HY(Q):= (H l(Q))2 for the linear elasticity equation.

Then, with the standard approach of handling the boundary and load data by
particular solutions, see Sect. 4.1, we arrive at the weak form of (2): Find a solution
u € H}(Q) with

Hp(Q) = {v e H(Q) : v|r, =0}, 4)
such that
/Q(a(u),e(v)) dx = /va dx+/r hv ds Yv € HY(RQ). 5)
=:a(u,v) =:b(v) -

In the case of a pure Neumann problem, i.e. I'p = @, the solution of the boundary
value problem (2) is only unique up to so-called rigid body modes

R:={veH (Q):a(v,v) =0} =span{p, : r <R} (6)
with r, R € Ny. A basis of R is for instance given by
Po = (170)7 P1 = (07 1)7 P2 = (—y,x)

for the two-dimensional linear elasticity equation.
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In the remainder of this work we focus on rectangular domains with circular
inclusions

Q = [-A,A] x [-B, B], Qy = UjBs; (%)

with i,/ € Ny. In our experiments we consider e.g. I = 121, 1 = 2500 (randomly
distributed inclusions of different size), I = 2567 (identical inclusions on grid), see
also Fig. 1. Note that we assume that all inclusions are separated by some minimum
distance § > 0, i.e.

dist(Bs; (x;), Bs,(x;)) > 8 Vi#j.
Moreover, we assign Dirichlet and Neumann boundary conditions on
I'p :={-A,A} x [-B, B], 'y := [-A,A] x {—B, B}.

respectively, see also Fig. 1.
For the global discretization of these model problems in the online step we
employ the PUM scheme discussed in the following section.

2 Partition of Unity Method

The notion of a partition of unity method (PUM) was coined in [3, 4] and is based
on the special finite element methods developed in [5]. The abstract ingredients of
a PUM are a partition of unity (PU) {¢; : [ = 0,...,N} (compare Definition 1)
and a collection of local approximation spaces V;(«w;) := span(};"}),, defined on the
patches w; := supp(¢;) for I = 0,...,N (Fig. 2). With these two ingredients we
define the PUM space

N

VP = Zwm = span{g;¥;"); (7)
1=0

i.e., the shape functions of a PUM space are simply defined as the products of the PU
functions ¢; and the local approximation functions ¢;". For PUM spaces (7) which
employ a PU {¢;} satisfying Definition 1 there hold the error estimates of Theorem 1
due to [4, 20].

Definition 1 (Partition of Unity) Let Q C R¢ be an open set and let {¢; : [ =
0,...,N} be a collection of N Lipschitz functions with

N

Cv
E gr=10onQ, |@illomy <Co. [Vullpoome < di )
pa iam(w;)
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where Co and Cy are two positive constants and w; := supp(¢;)° is a Lipschitz
domain. The collection of functions {¢; : / = 0, ..., N} is referred to as a partition
of unity (PU). The sets w; are called patches and their collection is referred to as a
cover Cq :={w;:1=0,...,N} of the domain 2.

Theorem 1 Let Q@ C R? be a Lipschitz domain. Let {¢; : | = 0,...,N} be a
partition of unity according to Definition 1 which is moreover non-negative, i.e.

0<@x) <1 forallxe Q2,l=0,...,N
Let us further introduce the covering index Ac, : 2 — N such that
Acg (%) :=card({w; € Cq : x € wy})
and let us assume that
Acg(x) <A eN forallx e Q

with A independent of the number of patches N. Let a collection of local approxima-
tion spaces 'V, = span(¥)') C H'(w;) be given. Let u € H'(2) be the function to be
approximated. Assume that the local approximation spaces V| have the following
approximation properties: On each patch QNwy, the function u can be approximated
by a function v; € V; such that

lu —vill2@ney < €& and V(= v)|2@ne) < & ®)

hold foralll =0, ...,N. Then, the function

N

= Z(plvl e VPV ¢ HI(Q)
=0

satisfies the global estimates

N

A\1/2
= 0™l < VCoo (328

=0

N 1/2
IV — 0" 2 < \/2(21\ 2 4 Cool ) .

= dlam(a)z)

Thus, the PU functions provide the locality and global regularity of the product
functions whereas the local spaces V;, which are all independent of each other,
equip VPU with its approximation power. Thus, the standard choice of V; for
the approximation of a smooth function ¥ with PUM are classical polynomial
approximation spaces P = YV, of degree p; on the patches w;. If the function
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Fig. 2 Overlapping patches w; C a)fL from 3 x 3 grid for material configuration A, depicted
are 2, N w; (light green circles) and 2, N (a)fL \ @) (red circles), matrix Q1 N w; (blue) and

QN (a)1+ \ wy) (green), Dirichlet boundaries I'; p (red), Neumann boundaries I'; 5 (magenta). We
have wy (first, no bc), w, (second, Neumann bc), ws (third, Dirichlet be), w, (last, mixed bc)

u, however, has some irregular features such as singularities or discontinuities
locally these polynomial spaces are often enriched by appropriate non-smooth basis
functions, i.e. V; = PP + &; for some patches w;, see e.g. [19]. In our setting,
where we are concerned with the approximation of solutions of (2) with highly
oscillatory and discontinuous material coefficients, such irregular features however
arise everywhere in the domain and thus we will employ enrichment on every patch
w;.' Unfortunately, appropriate enrichment spaces &; for heterogeneous materials
are in general not known analytically and depend e.g. on the distribution of the
inclusions and the material properties. Thus, the major challenge here is to pre-
compute enrichment spaces with good approximation properties, i.e. allowing for
small local errors €; and €; in (8), for a particular material configuration efficiently
and to identify the most cost effective approach overall.

For the construction of such local enrichment spaces & we employ a number
of different numerical homogenization techniques and compare their approximation
properties and the computational cost involved in the construction. Moreover, we
are concerned with the robustness of the resulting enrichments with respect to
varying loading conditions, distribution of inclusions and the contrast of the material
parameters. Note that the local enrichment spaces &; on different patches w; are
completely independent of each other and thus can be computed in parallel using
an arbitrary homogenization approach. Throughout this paper, however, we will use
the same homogenization technique for all patches and we consider in particular the
approaches from [2, 7, 11]. To evaluate and compare the approximation qualities of
the enrichment spaces arising from these homogenization techniques we employ
tools from approximation theory which we shortly introduce in the following
section.

'Note that we consider so-called flat-top PU functions only since they allow to control the stability
of an enriched basis withe arbitrary enrichments [18].
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3 Quality Measures for Approximation Spaces

For a comparison of local approximation spaces V; we employ the framework of
sup — infs and n-widths introduced by Kolmogorov [14] to attain upper bounds for
the approximation error || u — v;||,, on a patch w; where u denotes the global solution
to the original boundary value problem (2) on €2, i.e. € and & in (8). To this end,
we essentially follow the notation employed in [2, 6, 7, 12] and moreover introduce
Uy, to denote the local restriction of the global solution u to a particular patch ay
and assume that these local restrictions satisfy u|,, € W;(w;) for some local Hilbert
space (W, (-, -)qy,) given on w;.

Then, we can characterize the quality of a local approximation space V; for its
use in our PUM, suitable for the approximation of (2), also by studying the best-
approximation v; € V; to any element of the unit ball

By, := {u €W, (u,u)qy, = 1}.

in W, with respect to any desired norm || - ||. We fix this arbitrary norm for the
measurement of the error | u|,, — v;|| via the assumption that ‘W, C H; is contained
in a larger Hilbert space (H, (-,)4,) and consider its induced norm for the error
l|lw, — vl in the following, i.e. we assume V; C H;. Then, there holds the
obvious upper bound for the best-approximation from V; to data in ‘W, measured

in 7’{1

. . u|a)]
inf ||[v —u|w|lg = |ttleyllay inf _
veV; ol lH; oW, VEV] ||”|wl||w, ||M|M||(W] ”
. U oy
= |Julo [y, inf -
! Lyey, ||M|wl||‘W, #,
< llulwllqy, sup inf lv—wly
Y el =1 vV !
= ”ulw/”'W, "I”((VZ)
where
‘-IJ((VZ) =y ((VI, (le (', ')'W[ ,7-{17 (., )7_{[) ‘= sup v1€n(£ ||W _ U”(H, ) (9)
Iwllay, =1 l

With the help of (9) we can moreover identify the best local approximation space
for a fixed dimension n via

(V;kn = arg inf \IJ((VZ, (Wl, (-, ')"Wl s '7‘(1, (-, ')'H/) (10)
Vi CH;dimV;=n
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and introduce the so-called Kolmogorov n-width?
(Wi, G ), s HE G gy) 1= inf W Vi, Wi, Gy, s Hiy o) gy)-
dn (Wi, Gy gy, » Hi, () gq) e Vi, Wi, Gy, His () g)

Y

These abstract quantities can in fact be computed via the solution of generalized

c
eigenvalue problems [14, 17] if ‘W, — H; is dense and compactly embedded. The
eigenpairs (N4, x1x) € Wi x R of

(771,/(, U).HI = Xik (M, v)'Wz Yv € W, (12)

are comprised of orthogonal eigenvectors 1;; [12] with respective eigenvalues y;x
such that

X0= x> ...\ 0

holds if ‘W, £> H;. Thus, we can directly compute the n-width as
(Wi (g, Hi () o= i (13)
and identify the associated optimal approximation space by
Vi, = span{n 1 k <n}.

Note, however, that the optimal subspace V', which realizes the Kolmogorov n-
width is not unique [14]. Thus, there might be another subspace V; with comparable
approximation properties which may be determined with less computational work.
In particular, its construction might not require the solution of a generalized
eigenvalue problem such as (12).

We can employ a similar technique to compute the sup —infs (9). To this end,
let / denote the identity operator and 7, ..., the (, *)44-orthogonal projection onto
V. Then, for any w € ‘W, the best approximation from V; is given by 7w, (.., w-
Thus, the non-vanishing eigenvalues ¥ of

(= 7w U=y V), =W vy, Vo €W, (14)

’In the literature the inner products usually not part of the definitions of the sup — inf and n-width
but assumed to be fixed for H;, W;. We want to point out this dependence and later on characterize
the approximation in energy norm, H'- and L?-norms and will, thus, employ different definitions
for the inner product (-, ')'H, on H,.
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satisfy [12]

Yo=Y >...\0
and it holds
| 2
w— Nq/,,(.,.),HIW .
I//o = sup , H;
wew, ||W||w,
such that
YV Wo, )y, Hi G g) = Vo (15)

Note that for an actual computation of (13) and (15) by solving (12) and (14) we
need access to the basis functions of V; and ‘W) as well as the inner product (-, -)¢,
and its induced norm |-||4,. Yet, there is no need for an explicit access to basis

of '7‘{1.

4 Construction of Spaces ‘W, and H;

Thus, let us now consider the construction of appropriate spaces W, and H; on
a particular patch w;, compare [2, 6, 7, 12, 14, 17]. To this end, we first restrict
our global problem (2) on €2 to the patch w;. Moreover, we reduce this localized
problem to a homogeneous problem to allow for a direct comparison of different
constructions of local approximation spaces V; C H; irrespective of the employed
treatment of the data f, g, h, compare [2, 8, 9].

4.1 H,;via Reduction to Homogeneous Problem

Therefore, we employ the following reduction to a homogeneous problem on a patch
w;. Let us assume the existence of a solution u on €2 to (2) such that

U, = urp + g + upp + w

holds, where u; ¢, u; ¢, u;, denote particular solutions for the load f and the boundary
data g, h. Thus, the particular solutions u; s satisfy

V. U(Ml,f) =f in y,
U = 0 on FZ,D = aa)l n FD,
O'(uzqf) -n=0on FZ,N = 8wz n FN.
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Similarly, the equations

V. O'(I/tl’g) =0 V. o(uz,h) =0 in wy,
Ug = 8 Up = 0 on FZ,D
G(ul,g) -n=0 U(Ml,h) ‘n=nh on Fl,Na

hold for u;, and u;;,. Assume that these particular solutions are known, then it
remains to solve either the Neumann problem

V.-o() = 0in wy, o(u) -n=0o0nTIy, (16)

u = 0 on Fl,Da U(Ml) ‘n = hl on Fl,O
with an unknown traction A := o (u—u; f—ug—up)-non g := 0w\ (I'p U I'y),
or the Dirichlet problem

V-o() = 0in w;, o(u)-n=0onTyy,

’ 17
u = O on Fl,Da uy = g on Fl,O

with unknown trace g; := u — u; y — u; 4 — u;, on I';o. Thus, with known particular

solutions u; f, u; e and u; p, it is sufficient to consider the construction of a suitable

approximation space V; for the homogeneous problems (16) or (17). Throughout

this paper, we will employ this approach and will be concerned with the construction

of spaces V; for the efficient approximation of solutions u; to (16) or (17).

In analogy to (3) and (4), we then have u; € 7—(111) where

H)p = {v e H' (o) : vIr,, = 0}. (18)

Given a suitable traction 4; on I';o the weak form of (16) is to find u; € 7{1{1) such
that

/ (o(uy),e(v)) dx = hvds Vve 7{11,0' (19)
o Tio
=ta;(u,v) =:bi(v)

Note that this problem, however, does not admit a unique solution in the case of
I'ip =0, 1ie. 7—(11,D = H'(w;). We therefore restrict ourselves to H ' (w;)/R in this
case.

The space of all solutions to (16) up to rigid body modes (6), i.e., the space of all
so-called £-harmonic functions, obviously is a suitable space Hj, i.e.,

H, = {veH,: Lv) =-V-o(v) =0},
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see (19). With rigid modes removed a; defines an inner product on #; and induces
a norm

ol = lvlla == Vai(v,v) (20)

so that the closure of (), ||-||4;,) gives our desired Hilbert space. In the remainder
of the paper, we will be concerned with the following three choices of H;

(U, V)gq = (), = ar(u, v), lullyg, = Nl g := Var@.v), (1)

o)y = oy = [ (VuVobde gy =l = ey, @2

]

and

(u, U)ﬂ, = (u, U)l,o = / uv dx, ||M||71, = ||’4||1,o = \/(“v”)z,o (23)

[}

for a comparison of spaces V; with respect to the energy norm ||-||, z, H Lnorm ||-| L1
and the L?>-norm |-|| 1.0 On a particular patch .

4.2 W,;via Oversampling

We now define the space ‘W, of target functions (cmp. Sect. 3) for which we then
want to construct appropriate approximation spaces V; C H;. To this end, we follow
the approach of Babuska and Lipton [2], Babuska et al. [7] which is based on the
observation that the global solution u of the underlying boundary value problem (2)
is in general more regular than the solutions to the local homogeneous problems (16)
or (17), compare also Theorem 1 and (8). Hence, we only need to be concerned with
the construction of a good approximation space for (16) or (17), i.e. for all local
solutions u; which admit an £-harmonic extension to the whole domain 2. This
approach, however, requires global operations on €2 and thus is computationally
too expensive. Therefore, we employ a so-called oversampling approach, i.e., we
localize this construction from the global domain €2 to an enlarged patch ‘01+ D w
(Fig. 2) and consider the £-harmonic extension to wl+ C 2 only. To this end, let us
introduce the following notation

o = By, b =Tp N,
(24)
Fl:i]—v = FN N 8wl+, Fl_|(—) = 8wl+ \ (FZ,D @] FZ,N)v
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where we make the assumption that I'p = 0 & Fﬂb = § to avoid any artificial
influence of essential boundary conditions on I'p N (wl+ \ w;) when I';p = I'p N
w; = @. Moreover, we employ the following construction to define the overlapping
patches w; and their extension wl+. We define w; by overlaying the cells Cy(x;)
of a regular grid of meshwidth H of our domain €2 centered at x; with extended
concentric cells Byy(x;) D Cy(x;) with ¢ > 1. Then, the enlarged patches wl+ are
obtained by scaling these patches w; := Byg(x;) by g > 1, 1i.e., wl+ ‘= Bgon(x)). In
our numerical experiments we employ ¢ = 1.25 and 8 = 2.

Altogether, we consider (16), which is defined on w;, and its extension to wl+ in
the following. Let us introduce the convention, that a super-script + indicates that
we refer to the extended problem on a),+ , e.g., we denote the respective trial and test
space on ;" as

HF = {v eH' (@) 1 vlps = o} . (25)
’ D
Moreover, we introduce the restriction operator
T : V(o)) = W(w) (26)

which operates on any function space V(wﬂ') defined on the extended patch a),+ and
restricts its elements v € V(wﬂ') to the patch wy, i.e. Ti(v) = v|o, € W(w)).

From [2, 7] we have the compactness and denseness of the image of 7; that is
required for the generalized eigenvalue characterization of the sup — inf and n-width
with respect to the energy norm. Thus, for the analysis with respect to the H'- and
L*-norm, we need the inequalities |[u]|,; < Ci |lul|, and [lul|,o < C> ||ul|, to hold
for some constants C; and C,. ' ' '

For the scalar heat equation C| is readily obtained from the boundedness of a; and
a;t with respect to ||| 1.1- For C; we additionally need the Poincaré- or Friedrichs-
inequality for Wé’p, see [15, Theorem 12.17] or [10, Theorem 6.1-2], for I';p #
0 and the classical Poincaré- or Poincaré-Wirtinger inequality for W'”, see [15,
Theorem 12.23] or [10, Theorem 6.1-8], for I'; p = @. In the case of linear elasticity,
C is directly obtained from Korn’s inequality, see [13] or [10, Theorem 6.3-3] and
C, is provided by the Poincaré-type inequalities [10, 15] as in the scalar case. Thus,
we may consider the best-approximation with respect to the energy-, the H'- and
the L2-norm via the restriction operator T of (26) with V(a)l+ )= (H, (. -)Z'E) and
W (e) one of the spaces (Hi, (), ), (F (- )y1)s (Hiu (- )y0)-

c
Hence, 7—(1+ < 9, holds in all cases and we can set
Wii=Hb, and (g, = a; (o),
so that the resulting generalized eigenvalue problem (12) for the n-widths turns into

ar (Tt Tw) = (it G v), Vo e At @7)
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for the characterization with respect to ||-||; £,

(Tmll”,f, Tlv)“ = )(ll",faf(n},’,f, v), Vv e ‘7—(l+ (28)

for the characterization with respect to ||-|; ; and

(Tmbi 1) = aita Ot v), Vo e H;t (29)

for the characterization with respect to [|-||; o. Similarly, for the computation of the
sup — inf we get the generalized eigenvalue problems

ai (I — oy, q)Thut, (I — 7wy, ) TiV) = waf'(u, v) Yv e 7{1+ 30)
for the characterization with respect to ||-||; £,
(I = 70 )Tt (= Ty 0, )T10),, = Y (w,v) Yo € HF 3D
for the characterization with respect to ||-||; ; and

((I — 7T, (-,0) it (I — my,,(.,.)_o)Tlv)l’o = waf' (u,v) Vv € 7{1+ (32)

for the characterization with respect to |||, .
Having defined ‘W), H; and the inner products necessary for our analysis, we
further define, for fixed N > n := dimV,

VE(V) := UV, H ab H,ap), VE = "V;'fn(ﬂ+,af,7-(1,al),
WE(y,
dE, = dy(H; af Hi ). Afevy = (33)
In
and
U (V) i= W(VLHE at  H, ()0),s V) =V HE af HL o)),
vy
dly = Ot H ) A= (34)

1
dl,n
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and
\PZO((VI) = \p((vla 7-{+a a[_Fa 7-117 (.7 .)Z,O)’ (V? = (V?jn(q—{+7 a]_|—7 7—{17 ('a ')1’0)9
WO (VY
d?,n = d,,(?f*',af,?{,, -+ )10) Aé((vl) = ld(o ) (35)
In

where we refer to AF, A}, AY > 1 as optimality ratios.

4.3 Practical Construction of ‘W,

Note that, our definitions of Hj, ‘W, and their respective norms do not enable us
to perform computations in practical applications since we only assume to have
YV, = span {n;; : k < n} C H; from some homogenization approach given via some
basis n;x, k < n. Yet, for the computation of the sup — infs \Ilf , \Ifll, \IJZO and the n-
widths dfn, din, d?n we in fact need to have a basis for ‘W, = 7—(Z+ as well.
Throughout this paper, we employ classical FE discretizations with linear
elements on simplicial meshes to approximate the respective function spaces. Here,
we construct the respective meshes on the enlarged patches a)l‘|r independently of
each other, i.e., we do not assume the overlapping meshes to be aligned. Moreover,
we assume that the meshwidth of these meshes is small enough to resolve all
inclusions and desired features of the solution with sufficient accuracy. We denote
the respective FE spaces defined on these meshes by "V}:E’+ and refer to the standard
nodal basis functions of "V}:E’+ as ¢l—."1_n‘ Moreover, we introduce the subspace

"Vfg’+ C (VIFE’+ defined by the nodal basis functions qblfn associated with the
boundary nodes x; € I'/y on the free boundary. Finally, we make the assumption
that the restrictions Tl("VfE’+) are given by a subspace V& of (VIFE’+, i.e., that
the mesh on a)l+ resolves the patch w; and its boundary dw;. With the help of these
discrete spaces we can now construct approximate spaces ‘W, = '7-(l+ and respective
basis functions.

Let us first consider a rather expensive brute force approach. Here, we simply
follow the definition of ‘7—(l+ and either compute all solutions qu, see (16), to the
boundary value problem '

V.ouy) =0, inwt, cr(uer) ‘n=0, onFlj\,, 36)
qu =0, on FIB, o(uZ‘N) n= hl‘|r onl"l:'(’)
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with solution operator A" > qu = Hf;vhf' and an exhaustive set of tractions /;"

on F;a or all solutions uZ’D, see (17) to

Vo) =0, inw', o@l) n=0—onl,
’ ’ ’ (37)
uZ’D =0, onI}. ujp =g’ on Fl}')

with solution operator g;" uZ’D = H;'Dgf' and an exhaustive set of traces g, on
F;a. Thus, we can formally define

7—{1—’— = (H:;V(Pl,m : ¢l,n € (V}:g+>

containing all FE approximations of (37).

Note that we employ this rather expensive construction for the computation of all
sup — infs and n-widths throughout this paper. Moreover, we employ this definition
of H;* for the construction of the optimal approximation spaces VE, V!, V9.

To reduce the computational effort involved in the definition of approximate
spaces 7{l+, we also consider the much cheaper approach of Babuska and Lipton
[2], Babuska et al. [7]. Here, the basic idea is to find a subspace ‘7-(l+'x C '7-(l+ with
dimﬂ[" > dim?—(f’s > n; > n that approximates the first n eigenvectors of
the n-width problems (27)—(29) sufficiently well. We then use this subspace ‘7—(14"‘Y
instead of 7—(1+ in the construction of the respective local approximation spaces
(Vf"v, % 11 - (V?"Y. In the remainder of this work, we choose

=y maxn =y maxdim (33)

with y = 2 to be twice the maximum dimension of employed local spaces n =
dim V;. Note, however, that the choice of y is not obvious and may impact the
results substantially.

Let us now consider the concrete choice of this subspace ‘7—(l+"v. To this end,
we consider polynomials £, of degree < d which provide a spectral basis for
problems with smooth coefficients. Moreover, for the scalar heat equation with
constant coefficients, its polynomial solutions, the so-called harmonic polynomials,
are explicitly known. They span the 2d + 1 dimensional space

Pra:={veP;: Av =0} = span {N(x + iy)*, J(x + iy)° : e < d}. 39)
In the vectorial elasticity case, we simply take each component to be a harmonic

polynomial and obtain a 4d 4 2 dimensional space P 4, respectively. We now
consider hz+ € Pa.q with d large enough such that dim P 4 > n; to define

H = {H W b e Paal (40)
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5 Concrete Choices of V,

With all necessary definitions for the spaces H; and “W; available, let us now shortly
summarize the choices we consider for the local approximation spaces V; in the
following.

Optimal spaces of eigenvectors ’71/< ,nlk ’771 k € 7—(1+ associated with the n
largest eigenvalues

Vi=ATm ok <ny . (o Tt = xaf it oot Yot e |
V| = {Tmll,’,f,k <n}, (Tlﬂll,}(+a T ) = xq (mk ) Vot e
V9= ATk <ny . (Tt Tt = xa () v Vot e HF

Cheaper approximation of optimal spaces of eigenvectors nE e nll k+ %

nl, k%t e H, 1+ * associated with the n largest eigenvalues

(Vf ={T; nE+ k< n}, az(Tmf]’( Tzv"") = 1 (nE+ S +) vut e 7{1+’S ,
Vit = AT k<ny o (@t T = g Gt et e H
VI = Tk <md (@m0 Ty = af G0 vot e
In analogy to [8, 9], the harmonic polynomials #, l+’s
V= ATH} b € Ppg-. dimPr 4~ =n} C HF.

The multiscale spaces introduced in [11] can be interpreted as optimal spaces

c . .
for H'(w;) = L?*(w;) and thus fit into our framework. From a computational
point of view, it is more convenient to construct these spaces via the eigenvectors
i € ViFof

. FE
Vii= Ak <ny . @, v) = x (€ nj,v),, Yo eV,
associated with the smallest non-vanishing eigenvalues. Moreover, we study the

effects of oversampling with a)l+ D w; we also consider the eigenvectors nz',j
associated with the smallest non-vanishing eigenvalues of

(Ve-l- _ {'71 k<n, (771 vty = X(K ﬂfk+, +)10V”+ G(VFE,+‘
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6 Numerical Results

Let us now summarize the results of our numerical experiments using the local
approximation spaces V; defined in the previous section. Here, we used the FE
framework FEniCS [1] to these spaces, i.e. the multiscale basis functions, which
are then used to enrich the PUM framework PUMA [21] developed by Fraunhofer
SCAL All eigenvalue problems ... 10”7 ALEXALEXALEX.

We consider the three different configurations of inclusions (denoted as A, B, C
in the following) depicted in Fig. | in our experiments to study the robustness of
the considered homogenization approaches with respect to inclusion distribution
and the material contrast C, see (1). Moreover, we study the computational
costs associated with the different approaches and the overall performance of the
constructed enrichments within a global PUM approximation of our model problem
introduced in Sect. 1.1.

Besides these issues we also consider more fundamental topics such as: How
many degrees of freedom do we need in the optimal case to achieve a certain local
approximation error € (according to the n-widths dfn and din, d?n)? In particular, we
are interested to see if this number is robust with respect to the contrast C and the
distribution of the inclusions.

In all numerical experiments, we compute the n-widths and sup — infs for space
dimensions up to n < 100 in the scalar case and n < 200 for the linear elasticity
model problem. Recall also that we use dimﬂﬂ"s = y n = 2n, compare Sect. 4.3.
The employed meshes defined on the extended patches a),+ are sufficiently refined
to resolve all features of interest. For instance, the center patch w4 for the most
complex pattern of random inclusions of varying sizes was meshed using 514,912
cells and M = 258,096 nodes, yielding dim 7{l+ = 1278, compare Sect. 4.3.

6.1 General Observations

At first, we focus on the sup —infs obtained for all considered homogenization
approaches and the optimal n-width for material configuration A, see Fig.3.
Comparing the depicted plots for the scalar model problem and the two-dimensional
elasticity problem, we find essentially an identical behavior with the only difference
that the approximation of a two-dimensional vector field obviously requires twice
as many degrees of freedom as the approximation of a scalar field.

Moreover, we see that for a qualitative comparison we can restrict ourselves to
the plots with respect to the energy norm. This is in accordance with the equivalence
of ||, and |-, and with | being bounded by |-l -

Note also, that the optimal spaces VE, V],V seem to perform equally well for
all quality measures \PfE’l’O}, i.e., with our particular choice of ‘W, = 7—(Z+ and H,
there appears to be no benefit of computing an optimal basis for, say, ||-||;, instead
of ||-||; £, as both bases will perform equally well for both norms. Thus, to remove
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Fig. 3 Computed sup — infs WE, W} and ¥} (top to bottom) for the central patch a, for our scalar
model problem (left) and the linear elasticity equation (right) for material configuration A with
121 randomly distributed inclusions of random size. Note that in the W? plots we find values of
\II?(VI{E’I‘O}) below the computed n-width d?n. This is a result of using two different numerical
generalized eigenvalue problems for the computation of d?n and WY, In some sense this shows that
the numerical computation of d?n via the basis of eigenvectors V} is less affected by round-off than
using H;
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clutter from the plots, we restrict ourselves in the following to the presentation of
results for the optimal spaces V¥ and (Vf’s only.

For the spaces V¢ and V{'" constructed according to [11] we find that
oversampling is required to attain an acceptable convergence behavior, i.e., only
(Vf’+ provides good approximation with respect to ||~||2'E.

6.2 Contrast Independence and Mesh Dependence of n-Widths

A natural question is whether for a fixed microstructure the contrast C influences

not only the optimal shape functions nl{f’l'O} but also d%,, i.e., if the contrast and the

Ln>
microstructure influence the minimal amount of shape functions needed to achieve
a certain accuracy. In Fig.4 we give plots of the computed n-widths obtained for
different values of C on material configuration A on different patches w;. From
these plots we can observe that there is only a slight variation in the obtained n-
width indicating that the number of basis functions necessary to obtain a prescribed
accuracy is rather robust against changes in the microstructure and the contrast. Yet,
it is obvious that the computed n-widths will be much more dependent on the quality

of the meshes employed on the extended patches a)l‘|r , see Fig. 5.

6.3 Influence of Microstructure and Patch w; on dfn

We have already seen that for the microstructure given by material configuration
A the contrast C has little influence on the n-width dfn from Fig. 4. In fact, further
numerical experiments gave similar results for all considered microstructures, i.e.,
the n-width dfn depends only on mesh resolution and the shape of a)l‘|r , in particular
do;t \ 9.

From the plots depicted in Fig. 6, we see that the qualitative behavior of WF is
not dependent on the microstructure for all spaces except for V5, (Vle’+ and the plots
given in Fig. 7 show that the behavior of dfn is qualitatively the same for each chosen
microstructure and depends mostly on the particular patch a)l+ . This is in accordance
with the construction of ;" using the degrees of freedom on Fl}') = do;" \ 0Q.

Moreover, the exact type of boundary condition on awﬁ N d2 (Dirichlet, Neumann,
or mixed) appears to play little role in the behavior of the n-widths.

The computed n-widths df, given in Fig.8 clearly show that df, is actually
quantitatively the same for each microstructure up to machine accuracy.
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Fig. 4 Computed n-widths dfn for patches w4, 1, w3, and wy (top to bottom) for different contrasts
C for our scalar model problem (left) and linear elasticity (right)



188 M.A. Schweitzer and S. Wu

0 20 40 60 80 100
n
100] ‘ .

0 20 40 60 80 100
n
100 = T =

10710—\ | | | |
0 20 40 60 80 100
n
10° 100f ]
1072} 1 1072} 1
—4 1 i - 10—47 il
w3 10 ES
= 1076, i 10—6, i
10—8, 4 1078’ b
oL "7 ] 107106 * * )
0 20 40 60 80 100 0 50 100150200
n

—rr— uniform, 4782 cells, 2456 dof
—— uniform, 18559 cells, 9409 dof
—&— partially refined, 24004 cells, 12147 dof
—o— partially refined, 32548 cells, 16466 dof
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w3, and wy (top to bottom) on four different meshes for our scalar model problem (/eff) and linear
elasticity (right)
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Fig. 6 Computed sup — infs ¥F for w, and our scalar model problem with no inclusions and the
three material configurations A, B and C with contrast C = ; (top left to bottom right). dfn and

WE(Y}) show similar behavior in all four plots, i.e. there is little dependence on the microstructure

6.4 Contrast Dependence of V;

Another important issues is the robustness of particular spaces V; with respect
to the contrast. In Fig.9 we show plots of the computed sup — infs \IIIE (V) for
different contrasts obtained for the optimal space V%, the optimal space "Vf’s
using the cheaper construction with ‘7-([” instead of ,", the space of £-harmonic
polynomials H}' C ", and the space V{"" of Efendiev et al. [11] with
oversampling. From these plots we can clearly see that the spaces (VE,(V;E’+
are rather robust with respect to varying contrast C whereas (Vf’ shows slight
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Fig. 7 Computed n-widths dF, for our scalar model problem with no inclusions and the three

material configurations A, B and C with contrast C = é (top left to bottom right) for different
patches w;. The plots are essentially independent of the considered microstructure

fluctuations. This is probably due to the smoothing and stabilizing effect of the
generalized eigenvalue problem that turns V' C H;"* into V;** which is much
more robust with regards to C. The space V} T shows more dependence on C
which, however, seems to be related to results on the dependence of the eigenvalues
U ni’k+ on the contrast C and the number of inclusions, see [11].

6.5 Optimality and Costs of V;

From Fig. 10 we see that (Vf’ is a very cost effective close to optimal space, which

can be lightly improved on via a generalized eigenvalue problem yielding (V,{E’I’O}’s.

This, however, leads to fixed costs in the construction of 7{l+"v. Moreover, (Vf o+
yields a cost effective space of shape functions, albeit, as seen in other plots,
requiring more shape functions.
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Fig. 8 Computed n-widths d, for our scalar model problem with contrast C = ; obtained for the
patches w4, w1, w3, Wy (top left to bottom right) for different material configurations

From Fig. 11, where we give the optimality ratio AZ, we see that up to

mesh precision we have optimality of (V,{E’I’O} and (V,{E’I’O}’S and a very similar
performance of V} while V¢ and V¢ do not perform comparably well with respect
to this measure.

6.6 Example of Global PUM Solution

Finally, we present some first results using the computed multiscale basis functions
as enrichments in a PUM discretization of the global problem. Here, we consider our
scalar model problem on material configuration B and consider two different types
of refinements of the global PUM space. Obviously, we can keep the number of
PUM patches w; fixed and consider an increasing number of enrichment functions,
i.e. a p-type refinement. However, we may also consider a cheaper h-type refine-
ment, where we increase the number of PUM patches and restrict the employed
enrichments to the refined patches. The p-type refinement should of course yield
a spectrally convergent method whereas the convergence behavior of the described



192

10°

WE(VE)
S

M.A. Schweitzer and S. Wu

0

20 40 60
n

80 100

10°

20 40 60
n

80 100

80 100

0

20 40 60
n

80 100

—A—(C=10*—4—C=2""—8-C=1

C=2—e—(C=10%

Fig. 9 Computed sup — infs WF (V) for the spaces VE, ‘Vf‘s, Vh, ’Vle‘+ (top to bottom) for
our scalar model problem (/eff) and linear elasticity (right) on the center patch w4 and material
configuration A with different contrasts C



Comparison of Multiscale Approximation Spaces for PUM 193

105 ; E F oOa888888888888888
L o 104§ E
£ 10t 3 E f
~§ i é 103; E
é 10° g E § E \N E
8 102; - 8 102; \ E
T T A AR R A AR 101 T T ST RS THY S U R RUTIT RSN REETTT|
10°710710-510~410-310~210""! 10° 1077107°107°107#1073107210~" 10°
Wi (V) WE(V)
LLLLL LR LLLL B B IR AL IR LLLL BB RLLLL IR LLLL IR 1 | 104 ﬂ LAURLLULL INLLRLLLL BN LLLL BN I RLLLL IRLRLLLL LR B ““”‘7
o888588885888888588 1 ; B8 —8—8—8—8—8—8—1a |
104} E b
o b o | ]
E L £ 103F E
g10°¢ EI - 5
b3t r E b3t
= | i = r g
|72} 17} 2| -
§ 102} E g 10
@) F ] O
101 gmw\ TR TTTT RO R 1T SE MR RTIT] MR R TTIT| M AR R RTY1| M AT WATTIT Mt HHHE 101 ;\ TR TTTT] B SRR RTTT M AR RTT N AW TTI| M WA RTI| MR TTIT] M AR T HmuE
1077107107 10741072 1072 107" 10° 10781077107°107°10741072107210"" 10°
VE(V) YE(V)

—H— VE —— Y] —h— Y —— rvf,s _._(Vll,s
— (V?,s —— VI —h— V] —o— (Vle’+ — 4,

Fig. 10 Construction time of V; plotted against \IIIE for the patches w4, w;, w3, and wy (top left to
bottom right) for our scalar model problem on material configuration B and contrast C = ;

h-refinement should yield an algebraic rate. The plots depicted in Fig. 12 clearly
shows the anticipated behavior of our p-type refined PUM with respect to the L?-
norm whereas for the H'-norm the observed error reduction stalls. Similarly, we find
that the h-refined PUM in the L>-norm shows an algebraic convergence behavior as
anticipated and essentially no error reduction in H'. Note, however, that we have
to use a numerically determined reference solution to compute the errors and thus
may observe a numerical artifact only. Here, a more detailed study is necessary to
identify the issue. From the contour plots depicted in Figs. 13 and 14 at least we find
no obvious flaw in our PUM approximation.
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contrast C = 10* using an h-refined PUM (leff) using a fixed number of local enrichments (n; =
4,8,12,20) and a p-refined PUM on two different covers with 9 and 36 patches
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7 Concluding Remarks

We have presented a framework to compare the approximation power of local spaces
V; via the computation of the respective sup —infs W;(V;) and a comparison of
¥,(V)) to the optimal n-width d;, = min ¥;(V;). We focused on heterogeneous
materials with the overall goal of determining high quality enrichments for a
global PUM discretization via numerical homogenization techniques. Here, we
considered microstructures induced by well separated circular inclusions only. The
quality measures and local approximation spaces constructed in this study are both
applicable to the scalar heat equation and vectorial linear elastic equation.

Our numerical results with respect to the n-widths indicate that d;, and the
corresponding optimal spaces of eigenvectors V; can in fact be computed in a stable
fashion provided the employed approximation space (in our case the FE mesh) is
sufficiently refined. Moreover, our results show that the minimal number of shape
functions n needed for dF, < € is independent of the microstructure 2, and the
contrast C. Note, however, that this requires that all shape functions are computed
for this particular value of the contrast C and the considered microstructure, i.e., are
perfectly adapted to the problem.

The obtained results for the sup —infs showed that the optimal spaces (VI{E’I’O}

are all optimal for all three measures \IJI{E’I’O}((VZ) but rather expensive to compute.
Here, however, the major factor in the computation cost is the construction of W, =
H 1+ and not the solution of the generalized eigenvalue problem. Moreover, we found
that the construction of ‘W, ~~ '7-(l+'$ based on “1+ -harmonic extensions of harmonic
polynomials yields spaces "VZ{E’I’O} * that are of similar quality but much cheaper to
construct. In fact, it appears to be the case that using the al+ -harmonic extensions of
polynomials "Vf‘ C '7-(14"‘Y directly yields almost optimal performance even without
the need to solve a generalized eigenvalue problem.

Finally, we found that the space "Vf’+ also appears to yield a cost-effective
approximation which only requires the solution of a generalized eigenvalue problem
that is readily obtained from the global stiffness matrix and a weighted mass matrix.
Even though this approach requires roughly 2-3 times the minimal number of shape
functions to achieve the same accuracy, the overall computational cost is far smaller
than for the construction of optimal shape functions.

Acknowledgements This work was in part sponsored by the Sonderforschungsbereich 1060 of
the Deutsche Forschungsgemeinschaft.
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Embedding Enriched Partition of Unity
Approximations in Finite Element Simulations

Marc Alexander Schweitzer and Albert Ziegenhagel

Abstract In this paper we present a general approach to embed arbitrary approxi-
mation spaces into classical finite element simulations in a non-intrusive fashion. To
this end, we employ a global partition of unity method to splice the two independent
approximation spaces together. The main goal of this research is to enable the
timely evaluation of novel discretization approaches and meshfree techniques in
an industrial context by embedding them into large scale finite element simulations.
We present some numerical results showing the generality and effectiveness of our
approach.

1 Introduction

Even though the classical finite element method (FEM) is the work horse of com-
putational science and engineering today it has several limitations and drawbacks.
Some of these issues were the initial starting points for research on meshfree meth-
ods (MM), generalized or extended finite element methods (GFEM/XFEM) and the
partition of unity method (PUM) in the early 1990s. A number of developments in
these fields by now found their way back into commercial finite element packages.
However, the full spectrum of experimental and even well-established techniques
in MM, GFEM/XFEM and PUM are not available in large scale commercial FEM
packages which renders the evaluation of the developed techniques in industrial
applications unfeasible at the moment.
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In this paper we present a very simple and non-intrusive strategy which in
principle allows for the embedding of any approximation technique in any FEM
simulation thereby enabling the timely evaluation of novel discretization techniques
in an industrial context. Our approach is based on the PUM and can be viewed as a
generalization of [5—7]. To document the flexibility and generality of our approach
we present numerical results of a FEM simulation with an embedded enriched
PUM approximation near re-entrant corners where we employ various enrichment
schemes with singular and higher order polynomial enrichment functions. These
results clearly show that we attain optimal convergence rates for the global
FEM with embedded enriched approximation spaces without any adaptive mesh
refinement or numerical artefacts.

2 Partition of Unity Method

The Partition of Unity Method (PUM) was introduced in [2, 3] and is based on [4].
The abstract ingredients which make up a PUM space

N
VPV =) " Vi = span(gid)"): (1)

i=1
are a partition of unity (PU) {¢; : i = 1,...,N} and a collection of local
approximation spaces V; = Vi(w;) = span(z?{”)fn‘il defined on the patches

w; := supp(e;) for i = 1,...,N. Thus, the shape functions of a PUM space are
simply defined as the products of the PU functions ¢; and the local approximation
functions ¢". The PU functions provide the locality and global regularity of the
product functions ¢;9" whereas the functions " equip VFV with its approximation
power. Note that there are no constraints imposed on the choice of the local spaces
Vi, i.e. they are completely independent of each other. Thus, the PUM approach
allows to utilize a priori information about the sought solution locally by using so-
called enrichment functions or physics-based basis functions in general [11]. Here,
we usually employ local approximation spaces V; of the form

Vi = Pi + & = span(y}) + span(n?),

where P; denotes a space of local polynomials and &; accounts for non-smooth local
features such as kinks, discontinuities and singularities of the solution on the patch
;. In our setting, however, we will not follow this local approach which focusses on
approximation properties but we take a more global point of view which is in spirit
closer to a domain decomposition line of thought, see e.g. [12]. To this end, let us
consider a very simple cover of the domain 2 into just two overlapping patches
Qo and 2 with respective PU functions &y and @, i.e. D, + ¢, = 1 on 2 C
Qo U 2;. Then, let us choose the local approximation space V on the patch ¢
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to be a classical FE space defined on a respective mesh €2y, which discretizes €2.
On the other patch £2; we can choose any other approximation spaces V| since it is
completely independent of V; by construction; for instance we could choose another
FE space on a non-matching mesh 2 g [5, 6]. Throughout this paper we will use a
secondary enriched PUM as described above to demonstrate that any approximation
space can be embedded in a classical FE simulation in a non-intrusive fashion by
our approach, compare also [7].

3 Embedding PUM into Finite Element Simulations

Using this PU, the global approximation space VU on Q, according to (1), is
given by

VP = @y V, + @,V = span(®o¢;) + span(®;¢,8"), )

where ¢; denote the nodal FE basis functions given on the mesh €2, and the ¢;9/"
denote the basis functions of the local PUM space V| on the patch 2. At first
sight, it seems that we actually need to access each FE basis function ¢; to multiply
it by the PU function @y which obviously would not be possible when using a
commercial FE package. Fortunately, this is not the case when we employ a so-
called flat-top PU [8, 9], i.e. we choose {®y, ®;} such that there exist

Qo C Qo such that CDOIQO =1, flo N, =49,
Qy C Q such that <I>1|§~21 =1, QNQ =09,

and to this end we define
QZZ Qo N Qy, QO = Qo\fz, and le = Ql\fz

For simplicity, let us furthermore assume that Qo is already resolved by the mesh
Qo 1.€. Qo is discretized by a subset Qo » of elements of the original mesh €2¢; on
Q9. Then, we can rewrite our approximation space (2) as

VU= span{¢;) + span(®o¢;) + span{g;3:") + span(P1¢;0;"), 3)

where the first term now involves only those FE basis functions with supp ¢; C Qo

whereas in the second term we consider the FE basis functions with supp qz,-ﬂf?. #£ 0.
Analogously, the third term in (3) accounts for (p;ﬂ%" with suppg; C Q2 and the

last term for ¢;/" which satisfy supp ¢; N 2 = 0. Thus, the first and third terms
in (3), i.e.,

VgE = SPANg 00 - ((,z%) and VfU r= Spang o gme (¢), @)
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are completely agnostic to the construction described above and thus we can employ
any FE package, commercial or academic, (or any other method) to discretize our
model on €2 and &, without any intrusion into the respective code or access to its
implementation. We must essentially be concerned with the implementation of the
discretization by

~

V= spang oo a0 (Pod) + spang, oo snngp (P19:07") )

on the overlapping region Q=Q N only. Here, we need to have access to
the employed FE mesh €2y, and the respective element types as well as to the
implementation of the method we wish to embed into the FE simulation, i.e. V| on
2. To this end, our implementation of the proposed embedding scheme provides a
number of classical finite elements so that we can use an arbitrary FE package on
Qo, our original PUM implementation on €2, and this new interface implementation
on the overlap Q for the discretization. Then, we can assemble the overall stiffness
matrix K and the load-vector f

KE Ky 0 TE
K=|Kl K Ki |. f=\|1r1].
oT pPU PU
0 K K 1
where KiE, ff and K7V, fIV are the stiffness matrices and load-vectors obtained

directly from the two non-overlappmg spaces (4) and the other terms Ko, K, K 1,f
involve the space (5) on the overlap Q.

For the iterative solution of the resulting global linear system we can obviously
employ available solvers SgE and SlfU for the two blocks KgE and K})U to define a
simple preconditioner for the global stiffness K via

where we may use a direct solver to construct S for K (since the overlap Q s
typically small compared with Qo and Q)) or any other approximate inverse S.

4 Numerical Results

In this section we present some results of our numerical experiments using the
embedded enriched PUM within a classical FE simulation as discussed above.
To this end, we introduce some shorthand notation for various norms of the error
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U

u—uPY, ie., we define

S e P A (R [
L= -— H' -—
Jullz [Vl

(6)

For each of these error norms we compute the respective algebraic convergence rate
p by considering the error norms of two consecutive refinement levels / — 1 and /

||u—u}’U||)
log (Ilu—u}’Bl I
DoF(]) ) ’

— where DOF(k) := DOF((k) + DOF; (k), @)
log(DOF(Z—l)

DOFy(k) := dim Vy; and DOF; (k) = dim V|, which corresponds to the classical
h? notation for uniform A-refinement where

=
) tog (1., ) ®
log(})

such that y = pd in R?, i.e. y = 2p in two space dimensions.
The model problem considered in the following is the simple Poisson problem

—Au=fin Q C R?,
u=gonlp C0Q, 9)

)
Y — honTy =092\,
on

on an L-shaped domain  := [-1,1]* \ [0,1]?, compare Fig. 1. Prescribing
vanishing Dirichlet boundary conditions at the re-entrant corner, i.e. on I'p =

Fig. 1 Sketch of domain 2 and the sub-domains on and Q2 (left). A coarse mesh €2, defined
on Q and the overlapping patches w; defined on Q; (center). A contour plot of the solution (11)
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92 N [0, 1]%, the solutions to (9) exhibit the singular behavior

us(r,0) = r3 sin(w;”) (10)

near the origin. In our experiment, we choose the data f, g and & such that the
solution to (9) is given by

u=(+xy—y + Duy (11)

which would usually require an adaptive mesh refinement (AMR) near the re-entrant
corner when using classical FEM to obtain an optimal convergence rate of p;> = 1
and py1 = 1/2. Instead of employing AMR near the re-entrant corner, we will embed
an enriched PUM approximation at the origin, compare Fig. 1, to account for the
singular behavior (10). Thus, we anticipate that a uniform refinement of the FE
mesh 2, will already yield these optimal convergence rates if the enriched PUM
space V] resolves the singular solution (11) with sufficiently accuracy.

We consider three different enriched PUM spaces V| in our experiments to
demonstrate that our approach is truely suitable to embed an arbitrary approximation
scheme into a FE simulation. First, we choose as local approximation spaces V; on
the patches w; linear Legendre polynomials #; and the one-dimensional enrichment
space &; = span(n;) with ; 1= u;|,, to define the space

N
Vit =" 0P + &) = span(piyl. giny) (12)

i=1

which is known to yield optimal approximation to solutions of the form (11) by
uniform refinement of the patches w;, see e.g. [10]. Then, we consider the somewhat
larger space

N
Vit =" ol (1 + &) = span(p. o) (13)
i=1

which includes more non-polynomial enrichment functions than Vll+”‘ and thus

should yield smaller errors on €2; than VIH% yet comparable convergence rates.
Finally, we consider cubic Legendre polynomials in combination with the additive

enrichment space &;

N
vt = Z%’(P? + &i) = span(@iy;, gin;) (14)

i=1
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which is also larger than Vl1 1 but contains additional higher order polynomials and
should also attain smaller errors on €2 than V11+”‘.

To control the refinement of the two independent local approximation spaces Vj
and V; we compute norms of the true errors u — uPY on the subdomains on, Q and
Ql, i.e. we compute

éO.

5. PU PU 1. PU
o= lu—ulg, &= fu—ullg, @ = fu—ug,. (15)
Our simple refinement scheme is based on balancing the error in the subdomains,
i.e. we aim at attaining

& ~ 3¢ and e < 2. (16)
Since we anticipate that all enriched spaces V| provide high-quality approximations
to (11) with at least the convergence rates p;> = 1 and p;1 = 1/2, we refine only the
classical FE space V) on 2 by uniform mesh refinement if (16) is satisfied. If (16)
is not satisfied we refine both Vj and V; by uniform refinement.

The results of our numerical experiments are given in Tables 1, 2 and 3,
compare also Fig.2. From the computed convergence rates (7) it is obvious that
all three embedded schemes attain show an optimal error reduction, i.e. the global
convergence rate is limited by the classical FE part. With respect to the performance
of the three different enriched spaces V| we find that Vfﬂf requires the least amount

of refinement in €. Just 132 degrees of freedom in Vf+”‘v are sufficient to obtain

Table 1 Measured errors (6) and (15) and the respective convergence rates (7) using Vl1 T (12)
I DOF  DOFg DOF;  e2 p2 en pu €, € ep  n e, e

1 158 110 48 1.673_, 2.5 1.489_; 1.2 2.13_, 4.20—; 3.50_3 6.10—, 3.89_3 8.29_,
2 335 287 48 5267_3; 1.5 7738_, 0.9 4.99_5 2.05_, 2.83_3 4.05_, 3.87_3 8.26_,
301,204 1,015 189  1.143_; 1.2 3.702_, 0.6 1.20_; 9.93_, 4.63_4 1.71_, 7.69_4 3.75_,
4 4487 3737 750 3313_4 0.9 1.887_, 0.5 3.36_4 5.03_, 1.19_4 8.99_; 2.49_, 1.99_,
5 17,447 14,489 2,958 8.892_s5 1.0 9.550_; 0.5 8.77—s 2.53_5 3.11_s 4.57_3 7.06_s 1.04_,
6 68772 57,039 11,733 2.253_s5 1.0 4.765_3 0.5 2.20_s 126_, 7.70_g 2.27_3 1.82_5 5.23_,
7 273,048 226,360 46,688 5.666_ 1.0 2.379_3 0.5 548_ 6.28_3 1.95_¢ 1.14_3 4.64_¢ 2.65_3
8 1,085,230 899,123 186,107 1.421_¢ 1.0 1.191_3 0.5 1.37_ 3.14_3 4.87_7; 5764 1.17_¢ 1.33_3
Table 2 Measured errors (6) and (15) and the respective convergence rates (7) using Vll Xits (13)
I DOF DOF, DOF,  e2 p2 ey pgu € e, e eyl e, e

1 389 110 279 1.811—, 0.9 1.458_; 0.5 237, 421_; 2.09_3 497, 1.03_3 1.08_,
2 566 287 279 43973 3.8 7.095_, 1.9 574_3 2.05_; 5334 2.07— 2914 7.05_3
3 1,294 1,015 279 1.013_3 1.8 3446, 09 1.32_3 993_, 1354 1.10—, 1.08_4 6.20_3
4 4016 3,737 279 2.726_4 12 1.756_, 0.6 3.45_4 5.03_, 4.54_s 6.11_3 8.32_5 5.88_;
5 15587 14,489 1,098 6.713_s 1.0 8.817_; 0.5 8.64_s 2.53_, 1.23_s 3.40_3 129_5 1.75_;
6 61,305 57,039 4266 1.888_s5 0.9 4.448_; 0.5 2.16_s 1.26_, 840_¢ 2.10_3 8.83_ 1.86_3
7 243,091 226,360 16,731 4.966_¢ 1.0 2.230_3 0.5 537 6.28_3 2.37_4 1.12_3 2.84_4 1.12_3
8 965,059 899,123 65,936 1.364_¢ 0.9 1.125_3 0.5 1.35_ 3.14_3 7.03_5; 5.69—4 9.39_; 6.96_4
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Table 3 Measured errors (6) and (15) and the respective convergence rates (7) using Vf Fus (14)

DOF DoFy,  DOF; e P2 eyl Pl e(,)z e(:ﬂ &2 eyl e}z e}ql
242 110 132 1.807_, 40 1458_, 2.1 24, 42, 2.1_, 51-, 10, 12,
419 287 132 4375_5 2.6 7001, 1.3 57—y 2.0_, 54, 22_, 3.1_4 73

1,147 1,015 132 9.906_s 1.5 3.446_, 0.7 133 99_, 14—, 12, 14—, 4.7_4
3869 3737 132 25314 1.1 1749, 0.6 32_, 50, 44_s 67_3 93_5 2.8_;
14,621 14489 132 8.109_s 0.9 8838_3; 05 68_5 2.5, 1.9.5 37_3 8.0_5 2.1_3
57564 57,039 525 1.609_s 12 4.369_3 05 2.0_s 13_, 2.0_¢ 143 64_¢ 4.1,
228,398 226,360 2,038 4.030_¢ 1.0 2.177_3 0.5 52_¢ 63_3 51_7 7.0_ 857 17,

NN N R W N =~

abs(error) abs(error)
0.000e+00 0.0098 1.969¢-02 0.000e+00 000054

abs(error)
5.1e-5

1.084e-03 0.000e+00 1.014e-04

abs(error)
0.000e+00 0.0059
[

abs(error) abs|error)
0.00052 1.048e-03 0.000e+00 0.00011 2.115e-04

1.190e-02 0.000e+00

abs(error) abs(error) abs(error)
0.000e+00 0.0059 1.118e-02 0.000e+00 0.0005 1.009e-03 0.000e+00 4.8e-5 9.564e-5
[ L [
14-ug

Fig. 2 Contour plots of the attained approximation errors |lu — ufV || using V, ™" (12), i.e. linear

polynomials with additive enrichment (top), using VIIX”" (13) with multiplicative enrichment

(center) and Vl3 Fus (14), i.e. cubic polynomials with additive enrichment (bottom), on the

respective refinement levels [ = 2, 4, 6 (left to right)
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a global error of less than 1%, whereas V'*% needs DOF = 1098 and the most
commonly employed space Vll s must employ DOF = 2958. Note however that
the classical FE space Vy must be a lot finer with DOF = 14489 even though the
solution in €2¢ is smooth to yield the global accuracy of less than 1%. Moreover,
a global FE approach would require AMR and a much larger number of degrees
of freedom near the origin to resolve the singularity of the solution (11). Overall
these results clearly show the effectiveness of using an embedding of physics-
based basis functions into a FE simulation to reduce the total number of degrees of
freedom substantially and that the presented approach is able to embed an arbitrary
approximation space into a FE simulation. From the contour plots depicted in Fig. 2
we can also see that our embedding approach is free from any artefacts in the overlap
€2. The distribution of the errors in € is essentially determined by the choice of
V) (since Vj is fixed). Recall that V!** contains more non-polynomial enrichment
functions which should provide better approximation near the origin whereas the
space Vi * is more effective further away from the origin. This anticipated behavior
can clearly be observed from the contour plots of the respective errors depicted in
Fig.2.

5 Concluding Remarks

In the paper we presented a simple technique which enables the timely evaluation
of novel discretization techniques by embedding them into classical FE simulations.
Our approach is non-intrusive and thus can be employed also in conjunction with
large scale commercial FEM packages so that novel discretization techniques may
be evaluated in industrial applications. So far we have used the presented technique
successfully to embed enriched PUM spaces into the academic code FEniCS [1] and
the commercial package Abaqus (http://www.3ds.com/products-services/simulia/
products/abaqus/).
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Building a Numerical Framework to Model
Gas-Liquid-Solid Interactions Using Meshfree
Interpolation Methods

Chu Wang and Lucy T. Zhang

Abstract In this work, we present a numerical framework that can model and
simulate gas-liquid-solid three-phase interactions. A non-boundary-fitted approach
is developed to simultaneously accommodate the moving gas-liquid interfaces and
deforming solid. The connectivity-free front tracking method (CFFT) is adopted
to track the gas-liquid interface, where an approximation-correction step is used
to construct an indicator field without requiring the connectivity of the interfacial
points. Therefore, topological change such as free surfaces with bubble breaking up
and coalescing can be handled more easily and robustly. The fluid-solid interactions
are modeled using the modified immersed finite element method (mIFEM). A more
realistic and accurate solid movement and deformation are achieved by solving the
solid dynamics, rather than been imposed as in the original IFEM. The coupling
of the two algorithms is achieved using a meshfree interpolation function, the
reproducing kernel particle method. The concept of constructing the indicator
function to distinguish gas from liquid and fluid from solid naturally combines the
CFFT and mIFEM algorithms together, and simulate the complex 3-phase physical
system in a cohesive manner.

1 Introduction

The interactions among gas, liquid, and solid is an important physical phenomenon
that appears in nature and many engineering applications. Due to the complex
entities involved in the multiphase flows, namely, gas bubbles, liquid drops and solid
particles, accurate analysis using either experimental or analytical techniques maybe
hindered. Despite numerous efforts in the past decades, researchers are still actively
working on developing numerical algorithms that can be efficient, accurate, and
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easily implementable. One of the most notable challenges is the interface tracking,
where a robust numerical scheme that can handle large interface deformation and
topological changes is desired.

Various numerical schemes have been developed to treat gas-liquid multiphase
flows. The most commonly used computational approaches are: the front capturing
method and the front tracking method. Volume of fluid (VOF) method [3, 8] and
level-set method [7, 38] root from the front capturing approach. The interface is
implicitly modeled as an isosurface of a scalar function such as the indicator (color)
function in VOF or signed distance function in level-set. They are relatively easy
to implement and the interface topology change is naturally handled. However,
the VOF method can form discontinuities at interfaces between grid boundaries
when the interface is highly deformed in an un-resolved grid, whereas the level-
set method may result in unphysical total mass change in a long simulation [28].
The front tracking method [23, 31, 32, 37], on the other hand, models the interface
as markers or points that are connected using Lagrangian interface elements,
therefore the interface is explicitly represented. This approach results in good
total volume conservation and accurate moving interface capturing. However, the
required logical connectivities of the interfacial points bring numerical difficulties
in treating interface topology changes, especially for three dimensional cases.
Therefore, it would be of a great improvement if a numerical algorithm can combine
the merit of both front tracking and front capturing approaches. The connectivity-
free front tracking method (CFFT) [36] combines the merits of both the front
tracking and front capturing techniques where the interface is explicitly represented
by interfacial points to achieve better volume conservation and the topology change
of the interface is handled without considering the logical connectivity of the
interfacial points. A curvature projection scheme is adopted to minimized the effect
of spurious currents coming from the irregular curvature calculations.

Besides gas-liquid multiphase flows, modeling the fluid-structure interactions is
also a fascinating topic in three-phase interaction problems. Since the fluid may
involve two phases (gas and liquid), their interactions with the solid phase can
raise many numerical difficulties and complexity. Many numerical approaches have
been developed to deal with fluid-structure interactions. In general, they can be
grouped into two categories: boundary-fitted and non-boundary-fitted approaches.
One of the commonly used boundary fitted approach is the Arbitrary Lagrangian
Eulerian (ALE) [9, 11, 12, 15, 16, 41] method. The fluid-solid interface is explicitly
tracked using a boundary-fitted mesh. This approach can capture the interface and
interfacial solution relatively accurately However, re-meshing or mesh-updating
processes when mesh is severely distorted can be computationally expensive. To
tackle this problem, the non-boundary-fitted approach can be used to avoid the
re-meshing process. A widely used method following this approach is called the
immersed boundary (IB) method, which was initially proposed by Peskin to study
the blood flow around heart valves [22, 24-26]. The problem with the IB approach
is the lack of more realistic representations of the solid, which hinders the accurate
assessment of the material behavior and its deformation, or even the surrounding
fluid solutions. The immersed finite element method [6, 14, 20, 40, 42] resolves



Meshfree Framework for Gas-Liquid-Solid Interactions 211

this issue by allowing the solid domain to be constructed independently with a
Lagrangian mesh and be described using a more detailed constitutive model such as
linear elastic, hyperelastic and viscoelastic materials. However, the original IFEM
method relies on the ‘soft material” assumption that the solid follows the movement
of the fluid, where the dynamics of the solid is not been solved, but rather, imposed
based on the dynamics of the fluid. Therefore, an improvement of the method is
needed when the solid behaves very different from the fluid, or in the cases that
the movement of the solid dominates and changes the fluid flow. This leads to
the development of the modified IFEM method (mIFEM) [35], which yields more
accurate solid solution by solving the dynamics of the solid.

In this study, we are presenting a fully coupled numerical algorithm that can
model gas-liquid-solid multiphase flows using the non-boundary-fitted approach
by meticulously integrating the aforementioned CFFT and mIFEM methods. The
indicator function naturally unites the two algorithms together without defining
simultaneously different levels as it would be required in level-sets. The indicator
function is constructed using the interpolation function of the reproducing kernel
particle method (RKPM) for its high order and non-connectivity features.

The outline of this paper is listed as follows. In Sect. 2, the numerical framework
for 3-phase modeling that couples CFFT and modified IFEM are presented. This
framework is not specific to CFFT and IFEM, rather it is applicable to any combi-
nation of existing multiphase and fluid-structure interaction solvers. In Sect.?2.3,
several 2-D and 3-D numerical examples are studied to validate the numerical
approach. Finally, conclusions are drawn in Sect. 3.

2 Numerical Framework

In this section, we first briefly review the mathematical formulations for
connectivity-free front tracking method and the modified immersed finite element
method, respectively. The coupling scheme of the two methods through the indicator
setup and the interpolation function is then introduced.

2.1 Multi-Fluid Interface Tracking Using the
Connectivity-Free Front Tracking Method

The governing equations for an isothermal multiphase flow can be described using
a single set of Navier-Stokes equations with fluid properties varying across the
interface. The multi-fluid is treated as ‘one-fluid” without the need to handle the
jump condition across the interface [10]. The surface tension force can be treated as
a singular source term which is included in the momentum equation.
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Together, the continuity and momentum equations for incompressible fluid can
be expressed as follows:

V-u=0, (1

Ju
o TP VU= —Vp+ uViu + pg + F,, )

P
where u(x, ) is the velocity, p(x, ) is the pressure, p and p are the fluid density
and viscosity, respectively, g is gravity, and F, is the surface tension force. To
evaluate the surface tension, interfacial properties such as unit normal, curvature,
and surface area of each interfacial point are required. The traditional front
tracking method relies on the connectivity of the interfacial points to obtain these
properties. However, when the interface undergoes topological changes such as
bubble coalescing and breaking up reconstructing this interface connectivity is also
required. This leads to the development of our recent CFFT algorithm [36] which
does not require the interface connectivity by constructing the indicator field with a
correction step.

2.1.1 Indicator Construction
An indicator function / is defined as 1 and 0, respectively, for each fluid,

1 for fluid 1

= ’ 3

0 for fluid 2. %)

Fluid parameters such as the density and viscosity for a given location with
coordinate x can be expressed using the indicator function accordingly such that:

p(x) =1(x)-p1 + (1 =1(x)) - pa2, “4)
w(x) =1(x) - 1 + (1 = 1(x)) - ia. %)

In the front tracking method with connectivity [32], the indicator is obtained
by solving Poisson’s equation V2I(x) = V - fr n®(x — xr)dI", where n is the
unit normal of the interface, I' is the interface between the two phases, xr are
the points on the interface, and @ is the interpolation function. This step requires
the unit normal of the interfacial points to be computed a priori. However, without
connectivity the unit normal, and thus the indicator field has to be constructed using
an alternative way.
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Fig. 1 Schematics for fluid mesh, ghost points, and indicator function set up

An approximation-correction procedure is developed to construct the indicator
field: (1) obtain an approximate indicator field based on ghost points; (2) correct
this indicator field based on the current updated position of the interfacial points.
To achieve this, we first define a set of ghost points (x) that are placed in each
background fluid element. Here, we choose the center of each fluid element or cell
as the ghost points, see Fig. 1. One can use more points within each fluid element to
achieve better resolution.

The initial position of the interface is given based on the initial configuration
of the problem setup, the approximate indicator for the ghost points is, therefore,
known (either 1 or 0). As time marches forward, the indicator or signed distance
function, is advected by solving an advection equation at each current time step:

dl
-VI=0. 6
dt+u (6)
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Solving the advection equation implicitly as in the front capturing methods causes
issues in stability and volume conservation. However, it can be used to acquire the
approximate indicator field /, for each ghost point at the current time step n explicitly
by evaluating the indicator based on the indicator field and interface velocity from
the previous time step n — 1:

I'(xg) = I""'(x,) — A" - VI" 7 (x,). (7

Since it is explicitly solved, it can be used to evaluate the indicator for any point,
which gives the possibility and flexibility to increase or lower the ghost points
resolution without any difficulty. Points can be added at any location where high
resolution is required.

Once the approximate indicator field, 1,, is obtained for the ghost points, we can
interpolate the indicator field from the ghost points, x, to any point x, such as the
fluid nodes and the interfacial points, through a proper interpolation function, @,
which can then be used to solve the N-S equations in the continuum sense:

I(x) = /Ia@(x —Xg)d2,. (8)
4

To also ensure the interpolation is performed accurately for near wall region
where the influence domain is incomplete, a reproducing kernel particle method
(RKPM) [17, 18, 21] is adopted for the interpolation scheme which is enforced to
satisfy the reproducing conditions for accurate normal and curvature evaluations.
For detailed implementation, please refer to [36].

Adopting the basic idea of the level-set method that the level contour represents
the interface, we set the interface to have a constant indicator value. To accomplish
this, a correction term 5/ should be added to the indicator function, I, to ensure
that the interface coincides exactly with a constant indicator contour. Combining
the interpolated approximate indicator, Eq. (8), with the correction term, 41, the
indicator function for any points can be written as:

Np

I(x) = Z S, P(x —xp) + /IaCD(X —Xg)dS2g, ©)
4

p=1

where the subscript p denotes the interfacial points, N, is the number of interfacial
points. The correction term needs to be solved for every interfacial point, p. If the
indicator of all the interfacial points is set to be 0.5, i.e. I(x,) = 0.5, then

Z\IP

> 8Ly d(x, —xy) =0.5— / L,D(x, — X,)dS2,. (10)

=1 8
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Here the subscript p’ is used to differentiate from p in the summation. Repeating
Eq. (10) for every interfacial point would generate a linear system with RANK = N,,.
Solving the linear system yields the correction value 81, for each interfacial point.
Typically, the number of interfacial points is much less than the number of fluid
nodes, therefore the computational cost of Eq. (10) is negligible. Once the correction
of the indicator function is solved, the final indicator field for the fixed fluid mesh
can be obtained using Eq. (9).

2.1.2 Surface Tension Force Without Connectivity

Once the indicator field is known, the unit normal, n, and curvature, k can be
calculated by differentiating the indicator function:

Y an
n=— ,

|VI|
k=V-n. (12)

In order to solve the N-S equation, the surface tension force which is a singular
source term in the momentum equation, Eq.(2), should be distributed to the
fixed fluid grid properly. Here we compute the singular surface tension force by
converting a point force into a volume force using a continuum surface tension force
(CSF) approach [2]:

VI(x) p(x)

Fy (x) = 0k(x) n <p>’

13)

where [I] is the jump of the indicator function, p(x) is the weighted density, and
< p > is the average density at the interface. The advantage of using this approach
is to avoid the calculation of arc length or surface area, which is difficult to obtain
without connectivity.

One issue in the CSF approach is the spurious currents (irregular velocity field)
generated by the inaccurate curvature calculation near the interface [29]. The CSF
converts the surface force into a volume force by evaluating Eq. (13). Directly
calculating curvature at fluid nodes instead of the interfacial points can only get
a first order accuracy at best [7]. Also, when the curvature is calculated at a fluid
node with the indicator approaches to 1 or 0, the curvature is more likely to be
inaccurate due to the noise in the indicator. Therefore, we adopt another approach,
the curvature projection scheme presented in [7], to evaluate the curvature at the
fluid node that any surface variable (such as curvature k) can be projected to the
whole fluid domain by solving:

Vk-VI =0. (14)



216 C. Wang and L.T. Zhang

Constant curvature > [=1.0
along the normal
direction of the

indicator /

Gas-liquid
interface
™~ =05

)

Fluid mesh

Indicator transition 1=0.0
zone

Fig. 2 Schematics for curvature projection

Figure 2 shows the schematics for the curvature projection scheme. The first
step is to construct an indicator transition zone, which is a narrow band spanning
several fluid elements across the interface. The results of Eq. (14) let the curvature
on the interface which is more accurately evaluated to be projected along the normal
direction of the indicator within this indicator transition zone. By imposing the
same constant curvature in the transition zone, it eliminates the inaccurate curvature
evaluation caused by the noise in the indicator. As the mesh resolution increases near
the interface which results in the bandwidth of the transition zone to approach zero,
the curvature on the interface can be accurately reproduced. Since the interfacial
points are not coinciding with the fluid nodes, Eq. (14) cannot be solved directly on
the fluid domain. The detailed implementation can be found in [33]. To overcome
this issue, we develop the following numerical procedure: (1) identify all the fluid
elements that contain the interfacial points; (2) project the nodal points of these
elements to the interface using the projection scheme (which will be discussed in
Sect.2.2.2) along the direction of VI to find out the projected points; (3) evaluate
the curvature of the projected points, and set the corresponding nodal points to have
the same curvature; (4) set the curvature of the nodal points as a boundary condition
and solve Eq. (14) to project the curvature to the fluid domain.

Here, we demonstrate the spurious currents effect yielded from both with
and without the curvature projection scheme. Dimensionless units are used for
all parameters. The computational domain is a 6 X 6 rectangular box, which is
discretized with 4096 uniform quadrilateral elements. The box is filled with gas.
A circular liquid drop with a radius of 1.0 is placed in the center of the domain.
Both the gas and liquid have the same density, p, = p; = 4.0, and viscosity
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(a) (b)

Fig. 3 Spurious currents for with and without curvature projection scheme. (a) Without curvature
projection scheme. (b) With curvature projection scheme

g = ;= 1.0. The surface tension is set to be 0 = 0.357. The box has no-
slip boundary on all sides. The simulation is carried out for 200 time steps with a
time step size of Az = 10™*. Since the initial velocity field is zero, the exact solution
of the velocity should be zero at all time.

Figure 3 shows the spurious currents for both with and without curvature
projection scheme calculations. The scales of the velocity vectors for both cases are
the same. It is evident that with curvature projection scheme, the spurious currents
are significantly decreased. In fact, the value of the spurious currents are expected to
be in the order of 0.010/p = 3.57 x 1073 [4, 5, 13, 27]. In our study, the £, which
is defined as £oc = (max||u]|), for without and with curvature projection scheme
are 2.22 x 1073 and 7.60 x 107>, respectively. Both solutions behave well in terms
of the spurious currents magnitude (less than 3.57 x 1073). However, our improved
curvature method reduces the spurious currents by two orders of magnitude, which
dramatically increases the accuracy of the calculation.

2.1.3 Interface Advection and Points Regeneration Scheme

After properly incorporating the surface tension force, the N-S equations (1)
and (2) can be solved to obtain the velocity and pressure fields using stabilized
finite element method by adding streamline-upwind/Petrov-Galerkin (SUPG) and
pressure-stablizing/Petrov-Galerkin (PSPG) stabilization terms [1, 42]. The velocity
for each interfacial point is interpolated from the fluid mesh through the interpola-
tion function ®. The interface position, x,,, is then advected using the velocity of the
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interfacial point u(x,) interpolated from the fluid nodes:

dx,

P u(x,). (15)

In order to maintain sufficient number of points to represent the interface, the
interfacial points need to be regenerated periodically. The indicator of the interface
is enforced to be 0.5 by the construction of the indicator function. A projection
scheme is used to project a selection of candidate points near the interface onto
indicator of 0.5 using Newton’s iteration. The candidate points are pre-defined in
the fluid elements that contain the interfacial points.

Consider a candidate point at position x with indicator value /(x). To project this
point onto the interface along the normal direction, we allow x to move §x so that
the indicator of the candidate point is 0.5.

I(x + 8x) = 0.5. (16)

If we perform a first order Taylor expansion, we obtain:

I(x) + §x - VI(x) ~ 0.5. a7
Since the projection is along the normal direction n = @;EX‘ , we have
8x x VI(x) = 0. (13)

Based on Eqgs. (17) and (18), §x is solved and the candidate point is projected to a
new position X’ = x + §x. This scheme is performed several times until |I[(x") —
0.5] < €, where € is a set tolerance, then a new interfacial point is regenerated.
However, if the distance between the newly regenerated point and those have already
been regenerated is less than a set value, then the newly regenerated point would not
be used. This procedure is to avoid too many unnecessary interfacial points within
a short interface segment.

To treat the interface topology change such as deleting points when two interface
is merging, the candidate points must be carefully selected. Torres et al. [30]
suggests to pre-select the candidate points from either side of the interface, say
I(x) > 0.5+ € or I(x) < 0.5 — €. Since the points near the contacting surface do
not belong to this range, these points as well as the contact surface are deleted. An
indicator field can be constructed based on the newly regenerated points.
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2.2 Fluid-Solid Interactions Using the Modified Immersed

Finite Element Method

The kinematics of the computational domain that contains both fluid and solid is
shown in Fig.4. Let us consider a computational domain, €2, which is consisted
of gas domain (Q2), liquid domain (R2") and solid domain (%), such that Q =
Q' U Q& U Q°. The gas and liquid domains together can be treated as the fluid
domain such that Qf = Q& U Q!. The gas-liquid interface is denoted as I'¢'. The
solid and fluid domains are intersected by a common interface I'S.

Several assumptions are made as follows:

. The solid structure is fully immersed in the entire domain. Following this
assumption, the solid cannot move out of the fluid domain. The fluid-solid
interface needs to be within the computational domain in order to evaluate the
interactions correctly.

. The fluid exists everywhere in the domain, 2. This assumption allows us to
generate independent mesh for the fluid and the solid, which avoids frequent
mesh updating schemes. This approach is considered as non-boundary fitted
technique, as mentioned earlier. Since the solid is immersed in the fluid and
the fluid exists in the whole domain €2, an overlapping region forms. This
overlapping region is ‘artificial’ because it physically does not exists. Therefore
its effects (viscous and inertial) must be eliminated.

. The fluid-solid interface abides the no-slip and/or traction boundary conditions.
These two boundary conditions can co-exist, but cannot overlap. The solid
material can be described using various solid constitutive laws, which provides
feasibility to model different materials.

s s [f =00

09

I’=1.0 Q=QuUQruQe

Solid  Aificial

fluid
QS

AV =QuQs

Fig. 4 Kinematics of the computational domain
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2.2.1 Solid and Fluid Domains

The original IFEM let the solid follow the movement of the artificial fluid by
applying the no-slip condition within the entire solid domain which includes the
interface and the interior. The solid governing equation is only used to evaluate the
interaction force that influences the solution of the fluid. In this modified IFEM
(mIFEM) technique, we let the solid dynamics to be solved by applying boundary
conditions that are evaluated based on the fluid velocity and stress on the fluid-solid
interface. This algorithm takes into account the dynamics of the solid where the
solid interior deformation is been solved rather than been imposed. This is more
reasonable approach since the artificial fluid is not real anyway, we can manipulate
it to behave more like a solid.

In solid domain €2°, the solid governing equation can be described as

SDvlS S_ .S N S
o Dt =pu, = 0;;+ 08 (19)

where u® is the solid displacement, v* is the solid velocity, the total derivative
operator D is used to evaluate the acceleration of the solid, p* is the solid density, g
is gravity, the solid stress o, = cyue€;; + Myju€s,» € = ;(u:, + u;;). By choosing
different combinations of ¢y and 7y, the solid can be modeled as linear elastic,
visco-linear elastic, hyper-elastic and etc.

The Dirichlet and Neumann boundary conditions for the solid can be defined as
follows:

ul =q; =vlAt onT¥, (20)
ogn; = hi = —U;an on ', (21)

where v’ is the fluid velocity that is interpolated onto the essential boundary I'*%, a;.
is the fluid stress that is interpolated onto the natural boundary I'*", At is the time
size, n® is the outward normal of the solid on the fluid-structure interface, and n! is
the outward normal of the fluid on the fluid-structure interface. The essential and
natural boundary conditions obey the no-slip and traction boundary on the fluid-
structure interface, respectively. At the beginning of each time step, the boundary
conditions for the solid structure are obtained by interpolating velocity and stress
from the fluid solution of the previous time step.

2.2.2 Coupling Between Solid and Fluid

When the fluid is consisted of gas and liquid phases, the fluid indicator function I' is
used to differentiate the gas and liquid (I" = 1.0 in liquid domain Q' and I = 0.0 in
gas domain £28), the real fluid can be treated as ‘one fluid’ with properties varying
across the gas-liquid interface. The gas-liquid indicator function can be obtained
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following the CFFT method as shown in Sect. 2.1. The density and viscosity of the
real fluid are calculated as follows:

pf=pI + pf(1 =1, pf=p 1l pE1 - 1. (22)

Similarly, when treating the fluid-solid interactions, a new independent set of
solid indicator function /* is defined where I* = 1.0 in solid domain 2° and /* = 0.0
in fluid domain Q. Since the normal of the solid boundary can be easily calculated
from the solid mesh, a smooth indicator field is achieved by solving Poisson’s
equation near the fluid-solid interface following the front tracking method.

The adoption of fluid and solid indicator makes it natural to couple the multi-
fluid and fluid-structure treatments together. The gas, the liquid, and the artificial
fluid which follows the dynamics of the solid, are treated as one single fluid with
properties described as follows:

p=pT+p(1-0), p=pr+p'd-"r). (23)

The coupling of the fluid and the solid is easier to be explained using the
concept of virtual work (or weak form). With a test function §v, the weak form
for momentum equation of the entire computational domain is,

Dvf Dv$
/S;fgvi (pf thl _ O‘;j _,Ofgi —F:T) dQ + /S;S SUi (ps l)vtl —O’Z\] _ Psgi) d2 = 0.
(24)

The first integral is the virtual work done by the real fluid, whereas the second
integral is the virtual work done by the solid.

Since the fluid is filled in the entire computational domain (based on Assumption
2), Eq.(24) needs to be re-arranged to account for that, but in the meantime the
effects of the artificial fluid must be eliminated.

Re-arranging Eq. (24) yields,

Duf Dvf
Sv; o0 ot — fi—F(»T dQ+/81 s I _of — Sgi | dQ2+
/Qf v (p b O P& F L G TR

s ths Dvlf s f
/Q Sv; (p (Dt ~ ) —(C’ijJ_“ijJ)) d§2 = 0.

(25)

The second integral is the virtual work done by the artificial fluid in the solid
domain. Re-arranging Eq. (25) is to include the artificial fluid terms in the solid
domain without contradicting the equilibrium. Combining the first two integral
terms then yields the total work done by the entire computational domain that
includes both real and artificial fluid. The work done by the artificial fluid is then
subtracted in the third term from the work done by the solid.
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We define the integrand in the third integral, the balance of the forces in the
artificial fluid and the solid, as the fluid-structure interaction force on the solid
nodes:

Dv¢  Dvf
FSI s f S i i : s
F! _(aijJ.—aijJ-)—p( . t) in Q°. (26)

The interaction force FLFSI defined in Eq.(26) involves the calculation of the

solid acceleration L;)U; , the artificial fluid acceleration DDU; , and the derivatives of the
solid and fluid stresses, aij. J and cr; J° under current solid configuration. These four
terms act as an external force on top of the solid domain to control the movement
of artificial fluid. Once the evaluation of the fluid-structure interaction force is
completed, it is used as an external force in the fluid to ‘feel’ the existence of the
solid. The artificial fluid is driven by the solid motion, which means the velocity of
the artificial fluid should be as close to the solid (v = v* in Q%) as possible. To
enforce the artificial fluid to be very similar to the solid, we can further assume the
artificial fluid is pseudo-compressible with same bulk modulus «* as the solid.

Together with the density with indicator function defined in Eq. (23), Eq. (25)
becomes:

—Dvif f ~ FSI o
dv; th —0,;—pgi—F;> —F] )dQ2 =0. 27
Q

Its strong form is,

Dvf
ﬁD;—@fﬁm—FW—f?ZOinQEQQMR (28)
The interpolation functions are important in coupling the three phases. In this
algorithm, the interpolation functions are used in three places.

1. When using connectivity-free gas-liquid interfacial points, as we do in CFFT, the
approximate indicator values will be first interpolated from the ghost points onto
the fluid grid, Eq. (8), as explained previously in Sect. 2.1.

2. Interpolating the fluid velocity and the fluid stress onto the solid domain
when evaluating the fluid-solid interaction force 5! as described in Eq. (26) in
Sect. 2.2:

ﬂﬂﬂ:/v%%ﬂ&—ﬂ&L (29)

o3 1) = / oL D — x)d. (30)
QS
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The interpolated values are also used for the solid boundary condition.
Boundary conditions for the solid are interpolated from the fluid velocity and
fluid stress onto the solid boundary I, as described in Egs.(20) and (21) in
Sect.2.2.

3. Finally, the fluid-solid interaction force evaluated on the solid nodes is distributed
back to the fluid domain:

FFS ) = / FISIS (2, d(x' — x°)dQ. 31)
Q

This two-way interpolation between the fluid and the solid is also done in the
IB and IFEM methods. To obtain accurate interpolations, a high-order interpolation
function, ® is adopted, which is acquired through the RKPM procedure [18]. There
are different choices for the interpolation functions [34]. Here we choose the RKPM
interpolation for its capability in dealing with gas-liquid interfaces near a boundary
for free surfaces and dealing with non-uniform background fluid grid.

The following lists the numerical framework for simulating the three-phase
interactions. The CFFT multiphase gas-liquid solver is wrapped inside the mIFEM
fluid-structure interaction solver. The overall solution procedure can be summarized
as follows:

1. Solve solid dynamic governing equation, given solid boundary conditions inter-
polated from the velocity and stress from the previous time step.

. Construct the fluid and solid indicator field.

. Evaluate fluid-structure interaction forces on solid nodes.

. Distribute the fluid-structure interaction force to the background fluid.

. Solve multiphase gas-liquid using CFFT:

W A~ W N

(a) Construct the fluid indicator based on the gas-liquid interface.

(b) Calculate the surface tension force using continuum surface tension force
approach.

(c) Evaluate the weighted density and viscosity using the indicator function.

(d) Solve Navier-Stokes equations to obtain the velocity and pressure solutions.

(e) Advect the gas-liquid interface based on the fluid velocity.

6. Interpolate the fluid velocity and stress onto the solid domain, proceed to next
time step.

2.3 Numerical Examples
2.3.1 Rayleigh-Taylor Instability Test
The first validation case is the Rayleigh-Taylor instability study to verify the

accuracy and the CFFT implementation. The Rayleigh-Taylor instability is to
examine the instability of an interface between two fluid where the heavier fluid
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lies upon the lighter fluid with gravity. If the interface is disturbed initially by a
small perturbation, the instability will drive the interface to grow exponentially with
time. The linear analysis shows that the growth rate n can be predicted as [2, 19, 39]:

Ko
2=K (A — ) , 32
" 8 g(p1 + p2) (52)

where K is the wavenumber of the perturbation, constant A = (p, — p1)/(p1 +
p2), g is the gravity acceleration which is perpendicular to the interface, o is the
surface tension force, and p; and p, are the densities of lighter and heavier fluid,
respectively.

The simulation is carried out in a 6 x 1 rectangular domain with 50,000 uniform
quadrilateral elements. The simulation parameters are chosen as: p; = 1.225, p, =
0.1694, viscosities are the same (; = pp = 0.00313, 0 = 0.05 and g = 9.8. The
initial interface is placed in the center of the domain and is perturbed as:

y = 0.001 cos(2mx). (33)

In this example, the wave number is K = 2, and the analytical growth rate
calculated from Eq. (32) is found to be n = 6.14. Ideally, the interface should grow
following & = 0.001¢™, where h is defined as the maximum height of the interface
with respect to the initial interface position.

Figure 5 shows the interface shapes obtained from the simulation at different
times. Figure 6 compares the interface development, which tracks the maximum
height of the interface at different times, between the linearized analytical solution
and our numerical results. It can be clearly seen that for most of the simulation time
(t < 1) the numerical result matches the analytical solution very well. For later stage
(t > 1), because the interface undergoes large deformation, the linear assumption
from the analytical solution is no longer valid. Therefore, the simulation result starts
to deviate from the analytical solution.

2.3.2 3-D Floating Object on a Breaking Dam

In this example, a 3-D simulation of a dam breaking problem with a floating
deformable solid object placed on the gas-liquid interface (free-surface) is carried
out to show the capability of the coupled algorithm to solve complex gas-liquid-
solid 3-phase flows. The geometrical setup is shown in Fig.7. The simulation is
performed in a 2 cm x 0.5 cm x 1 cm computational domain with a rigid column of
size 0.2cm x 0.2cm x 1 cm placed in the center of the domain as an obstacle to add
into the complexity. The domain is discretized with 119,500 hexahedral elements.
All the boundaries are slip walls. The liquid column is initially placed at the left
lower corner, with all sides to be all 0.5 cm that has a fillet radius of 0.1 cm. The
density and viscosity of the liquid are 1.0 g/cm® and 0.01 P; they are 0.001 g/cm?
and 0.0001P for the gas phase, respectively. A solid sphere with a diameter of
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(a) (d) (© (d)

© ® (@ (b

Fig. 5 Interface shapes at different times for Rayleigh-Taylor instability. (a) t=0.5. (b) t=0.9. (¢)
t=1.0. (d) t=1.1. (e) t=1.2. (f) t=1.3. (g) t=1.4. (h) t=1.5

0.2 cm is placed on top of the liquid column and is discretized with 2768 hexahedral
elements. The distance between the center of the sphere and the left wall is 0.25 cm,
and 0.35 cm from the front wall. The density of the solid is 0.5 g/cm?, which is half
of the liquid, making it stay afloat. The sphere is deformable described with linear
elastic material that has Young’s modulus of 10* dyn/cm? and Poisson’s ratio of 0.3.
The damping factor is 100 P. The gravity is set as 5.0 cm/s? acting in the negative
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Fig. 7 Schematics of a floating solid object on a breaking dam

vertical or z-direction. The surface tension is neglected here since we consider a
large scale problem where the surface tension force is negligible. The time step
size is 2 x 1073 s. The simulation is carried out for 2500 time steps which provides
sufficient amount of time for the liquid column to hit the right wall and reflect back.

Figures 8 and 9 show the snapshots of the sphere floating along a breaking liquid
column at different time steps from different view points. The collapsing liquid
column falls down and moves forward due to gravity, and bifurcates as it hits the
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Fig. 8 Snapshots of a floating solid sphere on a breaking dam (horizontal view). (a) t=0.2. (b)
t=0.4. (c) t=0.8. (d) t=1.0. (e) t=1.2. (f) t=1.6. (g) t=2.0. (h) t=2.8. (i) t=3.6. (j) t=4.8



228 C. Wang and L.T. Zhang

(@ (b)
O

(c) (d)

(e) ®

€ (h)

) ()

Fig. 9 Snapshots of a floating solid sphere on a breaking dam (vertical view). (a) t=0.2. (b) t=0.4.
() t=0.8. (d) t=1.0. (e) t=1.2. (f) t=1.6. (g) t=2.0. (h) t=2.8. (i) t=3.6. (j) t=4.8

rigid column obstacle placed in the center. The separated streams then merge back
together after bypassing the obstacle and climb onto the right wall. Upon hitting
the wall, the liquid front is then reflected back and breaks into small liquid drops.
During the whole process, the solid sphere floats on the liquid surface and follows
the movement of the interface. Since it is initially placed closer to the back wall,
the sphere tries to go through the space between the column and the back wall.
An interesting phenomenon we observe is that the sphere encounters two rounds
of ‘push-back’. At r = 1.2, Fig.9e, the liquid that is reflected back from the
obstacle hinders the sphere to move further down. The second push-back happens
when the liquid wave generated from the right wall travels back and pushes the
sphere away from traveling forward, Fig. 9g, h. Eventually, as the whole system
reaches an equilibrium, the sphere stops moving and sits still on the free surface.
The pressure contours of the liquid surface are shown in Fig. 10. We can observe
that high pressure regions occur when the liquid front hits the obstacle and the
right wall, see Fig. 10b, d. The topology changes of the gas-liquid interface and
the floating sphere also affect the surface pressure drastically, which suggests the
complex nature of the problem.
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Fig. 10 Snapshots of a floating solid sphere on a breaking dam (pressure field on the liquid
surface). (a) t=0.2. (b) t=0.4. (¢) t=0.8. (d) t=1.0. (e) t=1.2. (f) t=1.6. (g) t=2.0. (h) t=2.8. (i) t=3.6.
(j) t=4.8
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3 Conclusions

In this work, we have presented a robust framework that can model the complex gas-
liquid-solid three-phase interactions. The connectivity-free front tracking method
(CFFT) that models gas-liquid multiphase flows is integrated into the fluid-structure
interaction algorithm, the mIFEM, seamlessly through the construction of an
indictor field. The CFFT adopts an approximation-correction step to build the
indicator field without the connectivity of the interfacial points. This strategy
significantly reduces the complexity in reconstructing the interface when topology
changes occur. A curvature projection scheme helps minimize the spurious currents
that are generated from the irregular curvature calculation which is commonly seen
in other algorithms. The fluid-solid interactions are handled using the modified
immersed finite element method, which provides more realistic solid movement
and deformation by solving the solid dynamics. The non-boundary-fitted approach
that is used in the algorithm avoids the re-meshing procedure. RKPM interpolation
functions are used throughout the framework to accommodate the connectivity-free
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feature of the gas-liquid interface and the quantities interpolated among different
phases from interactions. The example cases demonstrate the great accuracy and
robustness of the coupled framework in handling complicated gas-liquid-solid three-
phase interactions.
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