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Preface

These proceedings contain the papers that were presented at the 5th International
Conference on the Theory and Practice of Natural Computing (TPNC 2016), held in
Sendai, Japan, during December 12-13, 2016.

The scope of TPNC is rather broad, including:

— Theoretical contributions to: amorphous computing, ant colonies, artificial chem-
istry, artificial immune systems, artificial life, bacterial foraging, cellular automata,
chaos computing, collision-based computing, complex adaptive systems, computing
with DNA, computing with words and perceptions, developmental systems, evo-
lutionary computing, fractal geometry, fuzzy logic, gene assembly in ciliates,
granular computing, intelligent systems, in vivo computing, membrane computing,
nanocomputing, neural computing, optical computing, physarum machines, quan-
tum computing, quantum information, reaction-diffusion systems, rough sets,
self-organizing systems, swarm intelligence, synthetic biology.

— Applications of natural computing to: algorithmics, bioinformatics, control, cryp-
tography, design, economics, graphics, hardware, human—computer interaction,
knowledge discovery, learning, logistics, medicine, natural language processing,
optimization, pattern recognition, planning and scheduling, programming, robotics,
telecommunications, web intelligence.

TPNC 2016 received 33 submissions. Papers were reviewed by three Programme
Committee members. There were also a few external reviewers consulted. After a
thorough and vivid discussion phase, the committee decided to accept 16 papers (which
represents an acceptance rate of about 48 %). The conference program included three
invited talks and some poster presentations of work in progress.

The excellent facilities provided by the EasyChair conference management system
allowed us to deal with the submissions successfully and handle the preparation
of these proceedings in time.

We would like to thank all invited speakers and authors for their contributions, the
Program Committee and the external reviewers for their cooperation, and Springer for
its very professional publishing work.

September 2016 Carlos Martin-Vide
Takaaki Mizuki
Miguel A. Vega-Rodriguez
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Managing Natural Noise
in Recommender Systems

Luis Maninezl(g), Jorge Castr02’3, and Raciel Yera*

! Department of Computer Science, University of Jaén, Jaén, Spain
martin@ujaen. es
2 Department of Computer Science and A.L,
University of Granada, Granada, Spain
3 Centre for Quantum Computing and Intelligent Systems,
University of Technology Sydney, Ultimo, Australia
4 University of Ciego de Avila, Ciego de Avila, Cuba

Abstract. E-commerce customers demand quick and easy access to suitable
products in large purchase spaces. To support and facilitate this purchasing
process to users, recommender systems (RSs) help them to find out the infor-
mation that best fits their preferences and needs in an overloaded search space.
These systems require the elicitation of customers’ preferences. However, this
elicitation process is not always precise either correct because of external factors
such as human errors, uncertainty, human beings inherent inconsistency and so
on. Such a problem in RSs is known as natural noise (NN) and can negatively
bias recommendations, which leads to poor user’s experience. Different pro-
posals have been presented to deal with natural noise in RSs. Several of them
require additional interaction with customers. Others just remove noisy infor-
mation. Recently, new NN approaches dealing with the ratings stored in the
user/item rating matrix have raised to deal with NN in a better and simpler way.
This contribution is devoted to provide a brief review of the latter approaches
revising crisp and fuzzy approaches for dealing with NN in RSs. Eventually it
points out as a future research the management of NN in other recommendation
scenarios as group RSs.



Multiobjective Evolutionary Computation,
Decomposition and Regularity

Qingfu Zhang

Department of Computer Science, City University of Hong Kong,
Kowloon Tong, Hong Kong
gingfu. zhang@cityu. edu. hk

Abstract. Many real world optimization problems have multiple conflicting
objectives by nature. Unlike a single optimization problem, a multiobjective
optimization problem has a set of Pareto optimal solutions (Pareto front) which
could be required by a decision maker to make her final decision. Evolutionary
algorithms are able to generate an approximation to the Pareto front in a single
run, and many traditional optimization methods have been also developed for
dealing with multiple objectives. Although there is not much work that has been
done, combination of evolutionary algorithms and traditional optimization
methods should be a next generation multiobjective optimization solver.
Decomposition techniques have been well used and studied in traditional mul-
tiobjective optimization. It is well known that the Pareto optimal solution set of a
continuous multiobjective problem often exhibits some regularity. In this talk,
I will describe two multiobjective evolutionary algorithms: MOEA/D and
RM-MEDA. Both of them borrow ideas from traditional optimization.
MOEA/D decomposes a multiobjective problem into a number of single
objective subproblems or simple multiobjective subproblems, and then solves
these subproblems in a collaborative manner. RM-MEDA makes use of the
regularity property to model the distribution of Pareto optimal solutions in the
search space, and then generates new solutions from the model thus built. I will
also outline some possible research issues in multiobjective evolutionary
computation.
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4 University of Ciego de Avila, Ciego de Avila, Cuba

Abstract. E-commerce customers demand quick and easy access to
suitable products in large purchase spaces. To support and facilitate
this purchasing process to users, recommender systems (RSs) help them
to find out the information that best fits their preferences and needs in
an overloaded search space. These systems require the elicitation of cus-
tomers’ preferences. However, this elicitation process is not always precise
either correct because of external factors such as human errors, uncer-
tainty, human beings inherent inconsistency and so on. Such a problem in
RSs is known as natural noise (NN) and can negatively bias recommen-
dations, which leads to poor user’s experience. Different proposals have
been presented to deal with natural noise in RSs. Several of them require
additional interaction with customers. Others just remove noisy informa-
tion. Recently, new NN approaches dealing with the ratings stored in the
user/item rating matrix have raised to deal with NN in a better and sim-
pler way. This contribution is devoted to provide a brief review of the
latter approaches revising crisp and fuzzy approaches for dealing with
NN in RSs. Eventually it points out as a future research the manage-
ment of NN in other recommendation scenarios as group RSs.

Keywords: Recommender systems - Natural noise - Fuzzy logic -
Computing with words - Group recommender systems

1 Introduction

The development of the e-commerce has made available huge information
amounts of interest for customers in their purchasing processes. With large
amount of options, customers usually cannot filter them effectively, hence frustra-
tion and early purchasing leaving can happen. Therefore, the support to finding
out quick and easily items that fits customers’ preferences and needs become an
important challenge nowadays. Recommender systems (RSs) are the most suc-
cessful tool for supporting personalized recommendations [1,13]. RSs have been

© Springer International Publishing AG 2016
C. Martin-Vide et al. (Eds.): TPNC 2016, LNCS 10071, pp. 3-17, 2016.
DOI: 10.1007/978-3-319-49001-4_1



4 L. Martinez et al.

broadly used in different scenarios like e-commerce [28], e-learning [29], tourism
[19], and so on.

Different approaches have been used in RSs, being the content-based (CBRS)
[6,21] and the collaborative filtering (CFRS) [1] the most widespread. CBRS
methods are based on items’ descriptions to generate the users’ recommenda-
tions, meanwhile CFRS have performed this task just using users ratings about
items. The latter approach is the most popular one in real world RSs because
of their good performance even when items descriptions are not available. But,
the necessity of customers preferences in CFRSs has produced some problems
that limit their performance, such as cold start and sparsity [1,25], and more
recently new related problems regarding the quality of the rating data have
raised up [14,22,30]. Specifically, Ekstrand et al. [9] pointed out that the rating
elicitation process is not error-free, hence the ratings can contain noise. They
mentioned that such a noise, previously coined natural noise (NN) in [20], could
be caused by human error, mixing of factors in the rating process, uncertainty
and other factors. They stated that its detection and correction should provide
more accurate recommendations.

The main research stream in RSs has been and still is the development of algo-
rithms that increase the accuracy of the recommendations. Due to the fact that
NN biases the recommendations and affect negatively to the RSs performance,
it is worthy to research its management for improving the recommendations.
For this reason, different proposals in the literature have introduced processes
for managing the errors of rating elicitation in recommendation scenarios. The
management of NN depends on the data available and some approaches require
additional user interactions [22] and others just remove noisy data either rat-
ings or users [2]. Recently, however, new proposals manage the NN by using
the current rating values in the user/item rating matrix while keeping as much
information as possible and without any new user’s interaction [30,31].

This contribution aims at providing a brief review about the latter approaches
for managing NN, which only need current ratings in the RS, by revising both
crisp and fuzzy approaches. Additionally, it points out future research challenges.

This contribution is structured as follows. Section2 provides a brief back-
ground for understanding RSs and NN. Section3 provides a view about the
basic model to manage NN with the information stored in the user/item rating
matrix. Section 4 focuses on a fuzzy extension of the previous approach for deal-
ing with natural noise in CFRS. Eventually, Sect. 5 points out the application of
NN management in group recommendation scenarios.

2 Preliminaries

This section provides the required background for the current research, including
basics about CFRS and a short review of natural noise processing in CFRS.
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2.1 Basics in Collaborative Filtering

A Recommender System (RS) has been defined as “any system that produces
individualized recommendations as output or has the effect of guiding the user
in a personalized way to interesting or useful objects in a large space of possible
options” [5]. Therefore, the main tasks of a RS are: (i) to gather information
about the users’ needs and interests, and (ii) to present the items that might
satisfy such needs and interests. The recommendation problem can be formally
defined as finding the most suitable item, or set of items, that maximizes the
rating prediction for a target user:

Recommendation(I,u;) = arg ma}([Prediction(uj, ir)] (1)
1€
being I = {i1,...,%,} the set of all the items and Prediction(u;, i) is a function

to predict how satisfied would be the user u; with the item ij, regarding the
data available about u; and iy.

Different approaches have been proposed in the literature to recommend,
such as content-based [17], knowledge-based [16], or demographic-based [27].
However, collaborative filtering (CFRS) is the most widespread approach in RSs
[9,13], because of its ability to provide effective recommendations only requiring
minimal information [23]. This information is usually composed by explicit or
implicit feedback from the users. This work is focused on CFRS with explicit
feedback preferences, r,, s, (see Tablel), which are given by user’s preference
values over a subset of items.

Table 1. Users’ preferences over items, the rating matrix

UL || Tug,ig - Tug,ig -0 Tug,in
Uj || Tujyip «o- Tujip oo Tujipg
Umn, [T i1 -« - Tmyin « - T yin

Among the approaches for CFRS, two pioneer and yet effective methods
are the user-based and item-based collaborative filtering approaches [8]. Both
methods rely on the nearest neighbours algorithm. Due to the fact that both
represent key methods in the CFRS research, both of them will be used as
the base for the evaluation of the natural noise approaches revised across this
contribution.

2.2 Natural Noise in Recommender Systems

Several authors have pointed out that the user preferences in RS could be incon-
sistent due to several reasons [20]. These inconsistencies have been classified in
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two main groups: (i) malicious noise, when the inconsistencies are intentionally
inserted to bias the recommendation [7], or (ii) natural noise, when the incon-
sistencies appear without malicious intentions [4]. While the malicious noise
received much attention since the beginning of the use of RS [12,18], natural
noise has attracted less attention from researchers.

The concept of natural noise was introduced by O’Mahony et al. [20], in which
the authors focus on discovering noisy ratings, both malicious and natural noise.
Amatriain et al. [4] performed a user study to obtain a better understanding
about how natural noise tends to appear. Afterwards, in [3] they propose strate-
gies to correct the inconsistent preferences. More recently, Pham and Jung [22]
proposed the use of item attributes, such as genre, actors, or director, in the case
of movies, to detect and correct natural noisy ratings. They focus on finding a
preference model based on this information for each user, and then identify as
anomalous those positive ratings that do not match the model. The inconsis-
tent ratings are then corrected using the information associated to other users
identified as experts.

While the previous methods focus on the detection of noisy ratings, Li et al.
[14] propose the discovery of noisy but non-malicious users by detecting user’s
self/contradictions, following the principle that highly-correlated items should
be similarly rated. This study focuses on noise detection at user level, which
could not be detailed enough in some scenarios.

All previous methods manage natural noise in CFRS in different ways, for
instance O’Mahony et al. [20] and Li et al. [14] remove noisy information from
the dataset. Others use additional information beyond the rating matrix, such as
Pham and Jung [22] and Amatriain et al. [3]. Table 2 characterizes these propos-
als for dealing with NN according to the management of noise and the necessity
of additional information beyond current ratings. Table 2 shows a shadowed cell
that represents the lack of research centered on noisy ratings correction without
additional information that should be filled and it is the aim of this contribution.

Table 2. Related works in Natural Noise

Information required
beyond ratings

Additional No additional
information information
Remove O’Mahony et al. [20]
Management| noise Li et al. [14]
of noise  |Correct |Amatriain et al. [3]
noise | Pham et al. [22]
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Collaborative Prediction
Filtering method made
Our proposal

- - Users’ ratings
S Possibly noisy Noisy ratings| |.--"|without noise
ratings detection [7""7 correction

Unknown rating
to predict

Past users’
ratings |-

Fig. 1. General scheme of the natural noise approach

3 Managing Natural Noise Relying Just on Ratings: A
Basic Approach

Yera, Caballero and Martinez [30] proposed a method for correcting noisy pref-
erences that only relies on the ratings and it processes them at a rating level in
order to fill the gray cell in Table 2. This approach takes into account just rating
values, in which it was not necessary to use any additional information about
users either items.

In such an approach, apart from preferences variation over time, it was con-
sidered that erroneous ratings can appear in recommender systems dataset due
to several reasons:

— Users can unintentionally express information that does not correspond with
their preferences and profiles. This is the classical scenario for natural noise.

— They could also insert anomalous-but-correct information intentionally added,
that is not actually aligned with their global profiles and could be considered
as noisy.

In all cases, erroneous ratings or ratings that do not represent real user’s
preferences can cause accuracy decay in collaborative filtering. Incorrect ratings
could alter user’s profile, and the biased user could fall in a different neighbor-
hood compared with an unbiased one. This could affect current user’s predic-
tions, and also predictions for users in the neighborhood.

In order to manage natural noisy ratings, a framework is proposed, which
includes two steps (see Fig. 1):

1. Noisy ratings detection: it classifies user and item profiles into four differ-
ent classes considering their ratings. Each rating can also be classified into
three different classes. A rating is marked as possible noise if there are con-
tradictions between the rating class and the classes associated to its user and
item.

2. Noise correction: it uses a basic collaborative filtering method to predict a
new rating for each possible noisy one. If the difference between both rat-
ings is greater than a predefined threshold, then the old rating is definitively
considered as noisy and its value is replaced with the new one.

A further detailed description of previous phases is introduced below:
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User o Item Usersiitems [ | @) O g
Critical e + Weakly-preferred || A PN
9 ©244% PN
Average T « Averagely-preferred [ | | Ve |
. . 2 4 PN
Benevolent J Strongly-preferred g') e o
. \SY 774
variable (1) + Variably-preferred [l
; ) &
o Rating Mo o
* Weak preference 3
+ Average preference 34 &)
+ Swong preference A%
PN: Possiblenoise

Fig. 2. User, item, rating classification and possible noisy ratings

3.1 Noisy Rating Detection

This approach follows the principle that users and items have their own tendency
giving or receiving ratings respectively. Once the tendencies have been identified,
the ratings that contradict such tendencies can be classified as possibly noisy.
Therefore, to detect natural noisy ratings, a classification for ratings, users, and
items is initially performed.

The approach assumes that each user has his/her own tendency when rating
items (see Fig.2): (i) A group of users tends to positively evaluate all items,
(ii) another group provides average values, (iii) a third one usually gives low
ratings, and also, (iv) there is a fourth group of users whose behavior varies
among any of the former categories, and do not fall into a specific one.

This classification is also extended for items: (i) There is a group that is
highly preferred by all users, (ii) a group whose items are averagely preferred,
(iii) a group of items that are not preferred by the majority of users, and like
in users, and (iv) a group that contains items with divided opinions about their
preferences degree.

Eventually, each rating r(u, ) (for a user v and an item ) is classified into
three different classes according its value:

1. Weak preference: A rating r(u,4) is a weak preference if r(u,i) < k.
2. Average preference: A rating r(u, 1) is an average preference if k < r(u,i) < v.
3. Strong preference: A rating r(u, ) is a strong preference if r(u,i) > v.

This classification depends on a weak-average threshold s and an average-
strong threshold v that are prior defined, satisfying x < v (See Remark 1).

Considering U and I as whole sets of users and items, preferences for each
user u can be grouped in sets W,,, A, and S, :

1. W, = {r(u,i), Vi € I where r(u,i) is a weak preference}
2. A, = {r(u,i), Vi € I where r(u,i) is an average preference}
3. Sy ={r(u,i), Vi € I where r(u,i) is a strong preference}

And for each item i in sets W;, A; and S;:
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= {r(u,i), Yu € U where r(u,i) is a weak preference}
{r(u,1), Yu € U where r(u,4) is an average preference}
= {r(u,1), Yu € U where r(u,1) is a strong preference}

w N =
@P%
Il

Considering rating classes and user and item sets, user profiles can be formally
classified into four different categories: benevolent, average, critical, and variable.
On the other hand, items can be classified in four categories: strongly-preferred,
averagely-preferred, weakly-preferred and variably-preferred (see Table 3).

Table 3. User and item classes proposed

User classes

Critical user Verifies card(W,,) > card(A,) + card(Sy)
Average user Verifies card(A,) > card(W,) + card(S.)
Benevolent user Verifies card(S,) > card(W,) + card(A.)
Variable user Does not satisfy the others user conditions

Item classes
Weakly-preferred item | Verifies card(W;) > card(4;) + card(S;)
Averagely-preferred item | Verifies card(A;) > card(W;) + card(S;)
Strongly-preferred item | Verifies card(S;) > card(W;) + card(A4;)

Variably-preferred item | Does not satisfy the others item conditions

Table 3 summarizes user and item classification, being, card(A), the cardinal-
ity of the set A. Users and items are classified in one of the first three categories
in each case if the amount of ratings belonging to the corresponding class rat-
ing (following rating classes) exceeds the amount of the other two. Specifically,
for each user and item, it is counted the amount of ratings belonging to each
preference class.

Once each rating, user and item has been classified, the detection process
looks for contradictions among them. In general, it is assumed that if a rating
belongs to similar classes regarding its user and item, then it must belong to
the similar rating class. Otherwise, the rating could be erroneous. Specifically,
the following procedure is presented to determine if a rating could be noisy (see
Fig. 2):

1. Classify the rating, and classify its corresponding user and item.
2. Mark the rating as possible noise if:
(a) User class is critical, item class is weakly-preferred, and rating class is an
average or a strong preference.
(b) User class is average, item class is averagely-preferred, and rating class is
a weak or a strong preference.
(c) User class is benevolent, item class is strongly-preferred, and rating class
is an average or a weak preference.
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Remark 1. The proposal depends on three parameters: k, v and §. These para-
meters are highly domain-dependant in [30] can be found a further detailed
analysis about them.

3.2 Noise Correction Process

Some authors propose to discard noisy ratings, while others consider that these
ratings must be corrected. Yera, Caballero and Martinez [30] proposal adopted
the latter view. Before correction, another reason that classifies ratings as noise is
verified. For each value marked as possible noise (PN), another value is predicted
using traditional memory-based user-user collaborative filtering with Pearson’s
similarity and k = 60. The predicted value is compared with the current value.
If the difference between them exceeds a predefined threshold ¢ then the new
value is set as rating. Otherwise, the initial one is kept.
Summarizing, the whole correction process is:

1. Classify each user and item according definitions.
2. For each rating
(a) Classify it according to definition.
(b) Following the procedure presented in the previous section, mark it if rep-
resents a possible noise.
3. For each rating marked as possible noise
(a) Predict its value using traditional collaborative filtering
(b) Calculate the difference between predicted and original value.
i. If the difference exceeds a threshold, then substitute the original with
the predicted value.
ii. Otherwise, remain the value as the original one.

3.3 Case Study

Following the experimental protocol suggested by Gunawardana and Shani in
[11] a case study is carried out to evaluate the effects of the previous proposal
over Movielens, which is a well-known dataset containing 100,000 movie ratings
on 943 users and 1,682 items where each rating is discrete and is given in the
range [1, 5].

For the mentioned dataset, it is evaluated the MAE of the CFRS methods
user-user and item-item with and without rating correction. To prepare data
for experiments, 900 users were randomly selected conforming the training and
test set as aforementioned. This task is then performed five times, selecting each
time a different set with the same amount of users. The approach parameters
were set as k = 2, v = 4 and § = 1. The Table4 shows the results obtained.

The case study illustrates that the proposed approach obtained positive
results for the datasets used in experiments. It proves that the correction app-
roach decreases MAE value disregarding the algorithm used. It is remarkable
that the correction process improves MAE value in a similar degree comparing
with the other two traditional recommendation methods (Pearson’s user-user
and item-item). For a further detailed analysis see [30].
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Table 4. MAE values with and without rating correction

User-User CF|UUCF + NN management | Item-Item CF |IICF + NN management
k =10/0.7741 0.7713 0.7771 0.7723
k =20/0.7658 0.7644 0.7713 0.7680
k = 30/0.7646 0.7632 0.7705 0.7673
k = 40/0.7644 0.7630 0.7704 0.7672
k = 50/0.7644 0.7631 0.7704 0.7673
k = 60/0.7647 0.7632 0.7705 0.7674

4 A Fuzzy Approach to Detect Noisy Ratings

In previous section it has been shown that the use of NN management
approaches in RSs generally improves the accuracy of recommendations. How-
ever, existing approaches do not properly manage the inherent uncertainty asso-
ciated to ratings because they represent and manage the ratings and its noise in
a precise way. This precise management lacks of flexibility and robustness, hence
a way to properly mitigate this drawback is to use fuzzy tools based on fuzzy
logic and fuzzy linguistic approach for modelling the uncertainty and vagueness
associated to user’s preferences.

Therefore, Yera, Castro and Martinez [31] focused on overcoming the lack of
flexibility and robustness by proposing a novel fuzzy NN method to deal with
the inherent uncertainty of NN, improving in such a way the noise management
and consequently the recommendation accuracy. This approach extends the one
revised in Sect. 3 because it focuses on the NN management just using ratings.
This fuzzy approach for managing NN extends the proposal in Fig.1 and it
is composed by the following phases (see Fig.3): (i) fuzzy profiling, (ii) noise
detection, and (iii) noise correction.

These phases are further detailed in the coming sections.

( Fuzzy approach to detect noisy ratings A

Noise correction

Original

database | |

Fuzzgp_roﬁ@g_ _

p /!
o in QI s pofe IDC
[P empefie st
W Ratin e Iy
o
! I

Noise detection
\

Recommendation

-

Fig. 3. General scheme of the fuzzy approach to eliminate noise in ratings database
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4.1 Fuzzy Profiling

The fuzzy profiling consists of transforming ratings values into a fuzzy linguistic
representation. This representation allows to obtain users’, items’ and ratings’
fuzzy profiles. These initial profiles are then transformed by using Computing
with Words (CW) [15,26] into modified profiles to boost their tendencies in a
flexible way. Initially, the membership functions that characterize the ratings
over its universe of discourse are defined. These functions are respectively asso-
ciated to the fuzzy linguistic labels [10], S = {low, medium, high}, whose fuzzy
semantics are shown in Fig. 4.

low medium high

Fig. 4. Fuzzy definition of the ratings domain for the one to five stars domain

Once the ratings are represented using fuzzy linguistic terms, they are used
to build the users’, items’, and ratings’ profiles. Specifically, a user’s profile pgr,
is built using the fuzzy representation of the user’s ratings denoted by R, (see
Egs. 2 and 3).

2 e Ry Hlow (Tui) >Ry Pmedium (Tui)

}u'low(Ru) = T :umedium(Ru) — =
= (a0 (2)
Twi U Hhi Tui
th’gh(Ru) = MERIRMT ah
PR, = (:U'low (Ru)a Nmedium(Ru)’ Khigh (Ru)) (3)
The items’ fuzzy profiles are built similarly to users’ fuzzy profiles:
PR; = (Nlow(Ri)v Nmedium(Ri)a /u‘high(Ri)) (4)

In the case of rating’s fuzzy profile, a fuzzy profile pgr,, for rating r,; is built
using only the rating r,; itself, i.e., Ry; = {rui}-

When the ratings do not present a clear tendency, the initial profile has
similar membership values for all terms, pr, = (%, %, %), DR, = (%, %, %) In this
situation it is difficult to identify the tendencies and perform a successful NNV
management. The proposal applies a CW process [24] that transforms the profiles
by maintaining high membership values and discarding low ones. The function
f1 (Fig.5) is used with this purpose, depending on the parameter k whose value
must be greater than % to allow certain flexibility, for instance k = 0.35.
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=N

Fig. 5. The fuzzy transformation function to boost the fuzzy profile detected tendency

The transformed profiles are defined as:

p}‘%m = (pjzl Jow> p)‘éw,medium’ p)‘}(?,_ ,high) = (fl (;U'low (R:c))’ fi (/meedium(Rx))v f1 (Nhigh(Rx)))

4.2 Noise Detection Phase

It classifies each rating of the dataset as noisy or not noisy. To do so, it checks
if a given rating r,; is noisy by analysing the rating tendency of its user u and
item 4, therefore the transformed fuzzy profiles are used to identify whether the
rating matches the user’s and item’s tendencies or it lies out of the detected
tendencies. The noise detection phase consists of two main steps:

(i) Rating pre-filtering: Each rating is analysed to determine whether it is eli-
gible for the noise classification step. The corresponding user and item fuzzy
profiles are compared to determine their closeness. Ratings whose correspond-
ing user or item profiles have zero membership for all terms are discarded. For
the remaining ones, their corresponding user and item profiles are compared by
using the Manhattan distance, d, and a threshold dy:

d(pr,;Pg,) < d1

If a given rating r,; satisfies this inequality, then r,; is eligible for noise clas-
sification. The best value for d; has been determined empirically [31], concluding
that for dy = 1 the proposal obtains an optimal performance.

(i) Noisy rating classification: For the chosen ratings in the pre-filtering step,
its user, item and rating fuzzy profiles are compared to determine if the rating
follows the user and item tendency. Thereby, for a rating r,;, the distances among
the profiles are computed and a threshold ds is used:

min(d(pg, ;Pr,. ) d(Pk,; PR,,)) = d2

If the rating verifies this inequality then r,; is noisy. Several experiments
[31] were performed to determine the most suitable value for the threshold, da,
determining that do = 1 is the best value.
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4.3 Noise Correction Phase

Once the noisy ratings have been detected, this approach not only fixes noisy
ratings but also it provides a noise degree of each rating that makes the rating
correction much more flexible and adaptable. To define the noise degree of a
noisy rating, the normalised Manhattan dissimilarity between profiles is used:

dissimilarity(pg, ,pr,) = (d(Pk,,PR,) — dmin)/(dmaz — dmin),

where pp and p}‘%y are the two profiles being compared, and d,,;, and d;,q, the
minimum and maximum distance value between two profiles.
The noise degree of a noisy rating is defined as:

NoiseDegree,,, = T( dissimilarity(pg, ,pr,,), dissimilarity(pg,,pr,,) ),

being T' a t-norm. In our context, the minimum is used as t-norm. After this, a
new rating value n,,; for the same user and item is predicted, using a CF method
(in this case the UserKNNPearson prediction approach [9]) using only the not
noisy ratings. Afterwards, noisy ratings are corrected using the NoiseDegree,.,,,
original value and prediction:

ri; = ryi * (1 — NoiseDegree,, ) + ny; * NoiseDegree,,

4.4 Case Study

The proposal is evaluated in MovieLens dataset (ml-100k), which is prepared
according to the procedure proposed by Gunawardana and Shani [11] to build
training and test sets. The method performance is then evaluated through the
following steps:

1. Apply a noise correction method over the training set, obtaining the modified
training set.

2. Recommend with a given recommendation method using the modified train-
ing set.

2. Evaluate the recommendation results using the MAE.

This protocol is used to compare the current proposal (NN-Fuzzy) with
related previous works. Specifically, the approaches presented by O’Mahony
et al. [20] (DiffBased in Table5), Li et al. [14] (NNMU) and Yera et al. [30]
(NN-Crisp), and a baseline that does not use any noise correction approach
(Base) are compared.

The results shown in Table5 demonstrate that NN-Fuzzy obtains the best
results for all cases. This evidence proves that it overcomes the performance of
all previous works.
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Table 5. MAE results on the MovieLens dataset

Predictor | Base | DiffBased | NNMU | NN-Crisp | NN-Fuzzy
UKNN | 0.7647 | 0.7662 0.7644 |0.7632 0.7608
IKNN 0.7705 | 0.7749 0.7699 |0.7674 0.7656

5 Natural Noise in Group Recommendation Scenarios

Group recommender systems (GRSs) filter relevant items to groups of users
regarding their preferences. These preferences can be explicitly given by the
members, hence natural noise can also affect these scenarios. However, the nat-
ural noise problem has not been addressed on GRSs yet.

It seems worthy to research the NN management (NNM) in this scenario
but taking into account that the complexity is much higher than in individual
scenarios and at least in the group recommendation scenario two levels of data
should be considered: (i) local level: preferences belonging to the group members,
and (ii) global level: preferences of all the users in the entire dataset. The level
considered most suitable to perform the NNM should be then studied. Four
alternatives for NNM in GRSs should be then analyzed in both levels of data:

— First, two approaches that focus the NNM on the local level before the rec-
ommendations. The approaches are local NNM based on local information,
NNM-LL, and local NNM based on global information.

— Second, an approach that focuses the NNM on the global level before the
recommendation, disregarding the group to which each user might belong.

— Eventually, a cascade hybridization of the previous approaches that performs
a global NNM approach, and then a local NNM that corrects the group ratings
by using the information already corrected.
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Abstract. We consider in the following the problem of realizing periodic
functions by a collection of finite state-agents that cooperate by interact-
ing with each other. More formally, given a periodic non-negative integer
function f that maps the set of non-negative integers N to itself, we aim
in this paper at designing a distributed protocol with a state set @ and
a subset S C @, such that, for any initial configuration Cp, with prob-
ability 1, there are a time instant ¢y and a constant d € N satisfying
ft+d) = vs(Cy) for all t > to, where vg(C) is the number of agents
with a state in S in a configuration C'. The model that we consider is a
variant of the population protocol (PP) model in which we assume that
each agent is involved in an interaction at each time instant ¢, hence the
notion of synchronous handshakes. These additional assumptions on the
model are necessary to solve the considered problem. We also assume
that the interacting pairs are matched uniformly at random.

Keywords: Self-organizing systems - Self-stabilization - Clock synchro-
nization - Oscillators + Group construction : Population protocol -
Uniform scheduler

1 Introduction

The food hunting of army ants, the synchronized flashing of fireflies..., these
remarkable self-organized behaviors observed in biological systems have intrigued
a lot of researchers and a lot of investigations have been initiated to understand
these autonomous and self-organized behaviors to implement them in artificial
distributed systems.

In a typical artificial distributed system, its global behavior is controlled
by its distributed elements, each of which determines its behavior depending
only on its local view (i.e., local snapshot of the system). The wider views the
elements have, the more delicately the global behavior can be controlled, needless
to say; or equivalently, the narrower views they have, the more disorderly the
distributed system would behave (at least in the worst case). Note that if no
communication (direct or indirect) is allowed then obviously coordination is
impossible to achieve. The extreme case is then when a distributed element
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is completely isolated from the other elements, and changes its (local) state
when it happens to interact with another element. In this paper, provided this
extreme case and assuming an arbitrary initial state of the system (i.e., in a
self-stabilizing manner), we examine what is necessary to control the distributed
system and emerge a global behavior. Specifically, we examine the contribution
of synchrony to have the system behave orderly. Self-stabilization is an important
feature in distributed computing. It is more challenging to achieve as the system
must retrieve, by itself, a correct behavior starting from any possible initial
configuration. This permits to tolerate transient faults.

The closest model to our setting is the population protocol (PP) model that
was introduced by Angluin et al. [1] to model a collection of finite-state agents
that interact with each other in order to accomplish a common task [6]. Compu-
tations in PPs are performed through pairwise interactions i.e., when two agents
interact, they exchange their local information and update their state according
to a common protocol. The interaction pattern is assumed to be unpredictable
i.e., each agent has no control on the agents it interact with. Hence, it is assumed
that there is an external entity, called scheduler, which is in charge of selecting
the pairs of agents for an interaction. Remark that the definition of PP is general
enough to represent not only artificial distributed systems as sensor networks but
also natural distributed systems as animal populations and chemical reactions.

Let N be the set of non-negative integers. Given a periodic non-negative
integer function f : N — N with a period 7 i.e., f(t+7) = f(t) for all t € N.
We present in this paper, a population protocol with a state set () and a subset
S C @, such that, for any initial configuration Cy, with probability 1, there are a
time instant ¢y and a constant d € N satisfying f(¢t + d) = vg(Cy) for all t > tg,
where vg(C) is the number of agents with a state in S in a configuration C.
That is, we aim at realizing the function f by counting the number of agents
in a given set of states S. In other words, our target is to design a protocol to
completely control, in a distributed manner, the number of agents with a state
in S to represent f. Remark that if we allow a scheduler that may not invite
some agents to interact at some time ¢, the problem becomes unsolvable even for
a simplest problem instance. For example, define a function f; by f-(¢) =nif ¢
mod 7 = 0 (where n is the size of the population), and f,(t) = 0, otherwise. Since
the agents can only update their states when they are involved in an interaction,
provided that there are at least three agents in the population, there is no PP
that realizes f,, since all agents must participate in an interaction to update their
states and reach a configuration C' such that vg(C') = n from a configuration C”
in which vg(C’) = 0 (after convergence). We thus consider a variant of PP in
which we assume that every agent is part of an interaction at each instant.

To solve our problem, we also need to consider the self-stabilizing clock syn-
chronization problem. Clock synchronization is one of the important features in
distributed computing as it provides a form of logical clock that could be used to
solve several distributed problems. The problem has been widely investigated in
the context of distributed computing [3,6,9]. Under the PP model, the problem
was recently addressed in [4] where it has been shown that in the case where
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the agents have only a constant number of states, the self-stabilizing synchro-
nization problem is impossible to solve, even if the agents know their covering
time, which is the minimum number of transitions for them to have met with
each other agent with certainty. A self-stabilizing population protocol is then
proposed to solve the phase synchronization problem. In the proposed solution,
an unlimited resource station called Base Station is used to provide an infinite
repetition of phases, 0,1,...,7 — 1 and ensure that any agent ¢ does not exe-
cute phase  + 1 (mod 7) before all the agents have executed phase z (mod )
i.e., there are time instants in which the clock values of the agents are not all
the same. In this paper, provided our scheduler, we propose a solution for the
self-stabilizing synchronization problem using a constant number of states.

Most of the problems investigated in PPs consider the computational power
of the model and hence are static. So far, only few investigations have considered
dynamic problems: in [2], a self-stabilizing token circulation protocol on rings
with a pre-selected leader was proposed. In [5], both the self-stabilizing mutual
exclusion and the group mutual exclusion problems were considered. In [10],
the authors investigated the convergence time and the threshold effects exhib-
ited by Lotka-Volterra-type protocols. In a companion paper [8], the authors
investigated the problem of realizing a (digitized) sine curve in a self-stabilizing
manner. Under a deterministic scheduler which is adversarial, they showed that
the problem is at least as difficult as the self-stabilizing leader election problem,
and hence (by [7]) at least n states are necessary to solve the problem.

2 Preliminaries

We consider a collection A = {0,1,...,n — 1} of identical (anonymous) finite-
state agents that interact with each other in order to cooperate and solve a given
problem. Computations are performed through pairwise interactions i.e., when
two agents interact, they exchange their information and update their states
according to a common deterministic protocol P = (@, ¢), where @ is a finite
set of states (of an agent) and ¢ is a transition function (@ x Q) — (@ x @) that
specifies the result of each interaction; if two agents in A with states p and p’
interact at time ¢, their states at t+1 will be ¢ and ¢’, where (¢, q¢") = §(p,p’). We
assume that each agent is able to interact with any other agent in the population.
Let p; € @ be the state of an agent i € A. The n-tuple C = (p1,p2,.-.,Pn)
of states where each entry p; corresponds to the state of the agent i, describes
the global state of the population, and is called a configuration. We frequently
regard C' as a mapping A — @ such that C(i) = p; for all i € A. Once an
interaction pattern has been given to a configuration C, the configuration C’ at
the next time instant is naturally constructed from C as follows: for each pair
(2,7) of agents in the interaction pattern, we replace p; and p; in C' with ¢; and
g;, where (g;,q;) = 6(ps,p;). In this paper, we distinguish the initiator and the
responder in §, so that §(p;,p;) = (¢, q;) may not imply 6(pj,pi) = (g;,¢)-
Unlike the classical model of PP, we assume that at each instant ¢, each agent
is part of an interaction, we hence assume that n is even. The scheduler, in charge
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of creating a maximum matching on all the agents, is assumed to be probabilistic
and uniform i.e., the pairs of agents are matched uniformly at random.

Let P = (Q,0) and C be the set of all possible configurations of P, respec-
tively. Given a configuration C' € C and an interaction pattern, i.e., a set of
interactions (i.e., disjoint pairs of agents) R = {(i1, j1), (i2,J2),- -, (im, Jm)}, we
say that C’ yields from C via R, denoted by C it C'ifforall k=1,2,...,m,
(C"(i1),C"(ir)) = 8(C(ix), C(jx), and otherwise, if i & {ix, jx : 1 < k < m}.
C'(i) = C(4) holds. Let C; and R; be respectively the configuration and the inter-
action pattern on Cy at time ¢. An execution £ of a protocol P can be represented
by a sequence of configurations and interaction patterns (Cp, Rg,C1, Ry,...)

such that for all ¢t > 0, C; By Ci41. Recall that R; is produced by the scheduler.
Since this paper assumes that each agent is part of an interaction and n is even,
|R;| = n/2 for any t. By C' = C’, we denote the fact that a configuration C’ is
reachable from C after a finite number of transitions.

Let N be the set of non-negative integers. For any configuration C' and a
subset of states S, vs(C') denotes the number of agents with a state p € S in C.
Suppose that f is a periodic non-negative integer function f : N — N with a
period 7, i.e., f(t+7) = f(¢) for all ¢ € N. This paper investigates the problem of
designing a protocol P that realizes f (in a self-stabilizing manner). Formally, a
protocol P = (@, d) and a subset S of @) are looked for, that eventually realizes f,
regardless of its initial configuration Cp, in the following sense: for any execution
€ :Cy,Ch,..., there are a time instant to and a constant d (0 < d < 7) satisfying
ft+d) =vs(C,) for all t > tg with probability 1.

To achieve our goal, we first present a protocol 7-CLK that implements a
self-synchronized clock using 7 states and then use it to design a protocol POy,
called a primitive oscillator that realizes a primitive periodic function A whose
period is 7 and range is {0,n}. We next explain how to execute a set of primi-
tive oscillators in parallel in such a way as to satisfy prescribed offsets between
them, assuming that the agents that participate in different oscillators are dis-
joint, although they interact to synchronize their executions. Since a periodic
function f is represented by the sum of a set of primitive periodic functions
h; with range {0,n;}, the problem of designing a protocol that realizes f is
reduced to the group construction problem to assign each agent to a group g;
in such a way that each group g; eventually accommodates n; agents (to run
primitive oscillators POy,). The group construction problem for one group is
trivial. The general group construction problem can be reduced to the problem
for n groups, each consisting of one agent. We present first a protocol for solv-
ing the general group construction problem that requires £2(n) states. Aiming
at the reduction of the space complexity, we next present a heuristic protocol
to approximately construct m groups of size ng,...,n,,_1 respectively, using
m - c-max{by,...,by_1} states, where c is a small constant larger than 5 and
b =ni/ng € Nfork=1,2,...,m—1.
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3 Clock Synchronizers and Primitive Oscillators

3.1 Self-stabilizing Clock Synchronization

In this section, we first formulate the self-stabilizing clock synchronization prob-
lem taking care of the fact that the scheduler is probabilistic, and show that there
is a self-stabilizing clock synchronization protocol that solves the problem. A pro-
tocol P = (Ty,d,), where T, = {0,1,...,7 — 1}, is said to be a self-stabilizing
modulo 7 clock synchronization protocol if for any execution & : Cy, Cy, . .. start-
ing from any initial configuration Cy € C, with probability 1, there are a time
instant to € N and an integer d (> —to) satisfying v{4+a) mod +}(Ct) = n for
all ¢(> tg). Consider the following protocol 7-CLK.

Protocol 1. 7-CLK: Self-stabilizing Modulo 7 Clock Synchonizer
0(z,y) = ((min(z,y) + 1) mod 7, (min(z,y) +1) mod 7)

Theorem 1. Protocol 7-CLK is a self-stabilizing modulo T clock synchroniza-
tion protocol.

Proof. Let &£ : Cy, C4, ... be any execution starting from any initial configuration
Cop. Once it reaches a configuration Cy such that vy 4y mod }(Ct) = n, by the
assumption on the scheduler, no matter what maximum matching is proposed
as the interaction pattern, v((41d+1) mod T}(Ct+1) = n holds. Thus it suffices to
show that, with probability 1, there is a time instant ¢ such that vy (Ct) = n
holds for some t’ € T,.

Since the case of 7 = 1 is trivial, we assume that 7 > 2. Consider a directed
graph G = (C, F) representing the transition relation between configurations, i.e.,

(C,C") € E if and only if C £ ¢ via some interaction pattern R, which implies
that when the current configuration is C, the next configuration is C’ with a
positive probability. Let C* = {C : v(4;(C) = n for some ¢ € T;}. Thanks to the
theory of finite state Markov chain, in order to show that, with probability 1,
there is a time instant ¢ such that v, (Ct) = n holds for some ', it is sufficient
to show that for any C' € C, there is a C’ € C* that is reachable from C in G.
We show this fact in the following.

For any C' € C, let Z¢ = {t € Tr : v (C) = 0}, which is the set of states
t € T that does not appear in C. By definition, C' € C* if and only if |Z¢| = 7—1.
We show that for any C' ¢ C* there is a configuration C’ reachable from C in G
such that |Z¢| < |Zev|.

First consider the case in which |Z¢| = 0. Recall that n is even and thus n/2
is a natural number. If v, _1,(C) < n/2, there is a maximum matching R that
matches every agent with state 7 — 1 to an agent with a different state, and by

definition 0 € Z¢, where C' Eiyel , since an agent with 0 emerges in C” if and
only if two agents with state 7 — 1 interact in C.
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Suppose otherwise that v(,_1}(C') > n/2+1, which implies that v(,_4,(C) <
n/2 — 1. Consider a maximum matching R that matches every agent with state
¢r—1 to an agent with the same state; if v;;_13(C) is odd, then R matches the

remaining one to an agent with state 0. Then v¢,_11(C’) < n/2, where C it c,
since vi;_13(C") < vr—23(C) +1 < n/2. A configuration C” such that 0 € Z¢n
is reachable from C in G.

Next, consider the case in which |Z¢| > 0. Let R be any interaction pattern

in C and C’ the configuration such that C £ ¢’ Observe that if v (C) =0
then v{41) mod }(C’) = 0, and hence |Z¢| < |Z¢/| holds. Assume first that
vr—1(C) > 0, if v(z_13(C) < n/2, then we can easily find C” such that |Z¢| <
|Zc| holds. Otherwise if vy, _13(C) > n/241, by a similar argument as above, we
can show that there is a path from C' to C' in G, such that 0 < v(,_13(C") < n/2
holds.

By contrast, assume that v, _1(C) = 0. We show that after at most 7 steps,
vr—1(C") > 0, where C — C’. Let consider the smallest ¢ € [0, 7 — 2] such that
v:(C) > 0 (for all ¢ = 0,1,...,t — 1, v (C) = 0). Note that v1(C’") > 0. If
v-—1(C") = 0 then again v;,2(C”) > 0 where C' — C”. By repeating the same
reasoning, after at most 7 steps, v,—1(C~) > 0 where C = C~. We retrieve the
cases discussed above.

3.2 Primitive Oscillators

Let a = (ta,tp,tdste) be a tuple of four parameters representing respectively
amplitude, period, delay and length where 0 < g < ). By fo, we denote a
function with period ¢, defined as follows: f,(t) = ¢ if tq < t(mod ¢p) < tq+
te — 1, and f,(t) = 0, otherwise.

Figure 1l illustrates a part of f,, where fe
a = (5,10,6,4). That is, for example,
fa(z) =0 when  =0,1,...,5, and f(x) =

5 when z = 6,7,8,9. We call such a func-

tion (fa) primitive (periodic) function. Note < |

that a constant function is also a primitive R R ERE E T T
function. T w

. . . L
In Fig. 1, f, is presented as a continuous P

trapezoidal function to emphasize the shape
of the oscillations, however, recall that, in
reality, f, is a discontinuous step function.
A pair of protocol P = (Q, §) and a subset
S of @) is said to be a primitive oscillator if it
realizes a primitive function f,: For any execution & : Cy, Cq, ... starting from
any initial configuration Cy € C, with probability 1, there are a time instant
to € N and an integer d (> —to) satisfying vg(Ci1q) = f(¢) for all t(> tg).
Given a = (n, 7, ta,te), let T, ,, = {td,ta+1,...,tqa+t¢—1}. Then, the pair
PO, = (1-CLK, T,,,,) is a primitive oscillator for f,, by the next corollary.

Fig. 1. A primitive (periodic) func-
tion fo, where oo = (5,10, 6,4)
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Corollary 2. Let f be any periodic function with period T that takes a value in
{0,n}. Then there is a state set Sy C Q, such that T-CLK with Sy realizes f.

Proof. Letting Sy = {t mod 7 : f(t) = n}, 7-CLK with Sy realizes f by
definition.

4 Synchronization of Primitive Oscillators

In this section, we investigate how to synchronize several primitive oscillators, in
order to satisfy prescribed offsets between them, assuming that the agents that
participate in different oscillators are disjoint (i.e., they know to which group
they belong), although they do interact to synchronize their executions. The
offset is the difference, expressed in time, between the delays of two primitive
oscillators referenced to the same point in time (see Fig.2). In our case, the
offset is expressed as the difference between the agents’ clock values. We assume
that the primitive oscillators have the same period, however, they might have
different delays. Note that we can assume that the offset is positive without
loss of generality, since we can order the primitive oscillators according to the
predefined offsets.

To simplify the explanation of our pro-
tocol, we first focus on how to synchronize —
two primitive oscillators. Let PO, (k=0,1)
be two primitive oscillators for the set of
agents Ay, where ap = (ng, T, tq,,te,) and / \ / ‘
ng = |Ag|. Let o be the offset. Provided that =
AgN Ay =0 and |AgU A;] is even, a protocol Offset
that works on A = AgU A1 is looked for, such
that for any execution & : Cy, C1, . .. starting Fig. 2. Offset between two primi-
from any initial configuration Cy € C, with tive oscillators
probability 1, there are a time instant {y € N
and integers do,d; (> —to) satisfying the following conditions: (1) o = d; — do,
and (2) for k = 0,1, vs, (Ctra,) = fa,(t) for all t(> ty), where Sy is the state
set of POy, i.e., PO,, = (7-CLK, S;). We call a protocol satisfying these con-
ditions (POq,,0, POy, ).

In the following, we present a protocol P = (Q,d) and a subset S of Q) that
satisfy these conditions. First, the set of agents is A = Ay U A1, and the state
set is Q = G2 X Q,, where Go = 0, 1. An agent ¢ € A is in state (k,t) € Q means
that it belongs to group Ay and its local time is ¢t. Note that in this section,
agents do not change their group Ay, and we concentrate on the synchronization
of their local times so that all members in the same group have the same time,
while the difference of the local times in Ay and A; is exactly o, provided that
initially all members in Ay are in a state in {k} x T, i.e., initially each agent
correctly recognizes its group. Let = = (k,r) and 2’ = (k’,r') be two states.
The following protocol 2-CPO defines (y,y’) = d(x,a’), where y = (¢, s) and
y' = (¢, ). In the 2-CPO, 4, is the transition function of -CLK. Note that the
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description of 2-CPO presents the case in which ¥ = 0 and &’ = 1 holds (and
the case in which k& = &’ holds). Although omitted in 2-CPO, the other case in
which k£ = 1 and &’ = 0 should be defined symmetrically.

Protocol 2. 2-CPO: Coupling Two Primitive Oscillators

if k = k' then /* The agents are part of the same group. */
£="{ =kand (s,58) =8 (r,7)
else /* The agents are part of different groups. */ (k=0 and k' = 1) */
if (r+o0) mod 7 =7 then
L=k=0,{=kK=1,s=(r+1) modTand s = (r'+1) mod
else
l=k=0,{=kK=1,s=(r+1) mod7Tand s =(r+o+1) modr

Theorem 3. The protocol defined by 2-CPO is indeed (PO,,,0, POy, ), pro-
vided that initially all agents in Ay have a state in {k} x T, for k=0,1.

Proof. Let € : Cy,C1,... be any execution starting from any initial configura-
tion Cy such that, for all i € A, Cy(i) = (0,¢) for some ¢t € T, if and only if
i € Ag. By the definition of 2-CPO, the agents do not change their groups, and
thus through out the execution, all members originally in Ay (resp. A;) are in
Ao (resp. Al)

Observe that agents in A; cannot affect agents in Ay (except to increment
time), and the clocks (i.e., the second element ¢ of state (0,t)) of agents in Ay are
eventually synchronized by executing 7-CLK.! That is, there is a time instant
to and a constant d such that for any ¢ > tg, all of their clocks show r = (¢ + d)
mod 7 at Cy, with probability 1, by Theorem 1. All agents in A; also execute
7-CLK, but their clocks are not synchronized, unless all of their clocks show
r’ satisfying 7/ = (r + 0) mod 7 at C;. On the other hand, if there is a time
instant ¢ > tg at which the clock of each of the agents in A; at C; shows time r’
satisfying ' = (r 4+ 0) mod 7, then the conditions for (PO,,, 0, PO,,) hold.

Thus it suffices to show that there is a time instant ¢t > t¢ at which all of their
clocks are synchronized and show time 7’ satisfying ' = (r + 0) mod 7, with
probability 1. Thanks again to the theory of finite state Markov chain, we follow
the same argument as in the proof of Theorem 1. We define the graph G on the
configuration space C of 2-CPO representing the transition of this protocol. Let
C* be the set of configurations corresponding to the desired configurations, and
show that for all configuration C' € C, there is a path to a configuration in C*.
Let C be any configuration. Without loss of generality, we can assume that the
clocks of all agents in Ag are synchronized in C. If ng > n1, then obviously there

! In spite that the size of Ag may be odd, the clocks of agents in Ay are eventually
synchronized by executing 7-CLK, since every agent that interacts with an agent in
different group increments its time, even if it does not interact with an agent in the
same group.
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is an interaction pattern R that matches all members in A; to members in Ay,
and C' € C* is reached from C via R, by the definition of 2-CPO.

Otherwise if ng < nq, let Z¢o be the set of agents i in A; whose clock in
C satisfies ' = (r + 0) mod 7. Consider an interaction pattern R defined as
follows:

M1: Take a maximum matching among Z¢, so that every agent (except at most
one, say i) matches to an agent in Z¢.

M2: Take a maximum matching between agents in Ag and those in
Ai\Zc(U{i}) if there is such an ¢ in M1.

M3: Take a maximum matching among the agents whose parters have not been
determined in M1 and M2.

Let C’ be a configuration reached from C' via R. If all agents in A; can be
matched by M1 and M2 (without using M3), then C’ € C*.

Otherwise, by M1, Zc\{i} C Z¢v. Set Zeo» also contains agents in A; that
are matched with agents in Ay by M2. Since ng > 1 and |A;| + |Asz| is even,
|Zc| < |Zcr|. Thus there is a path from C to a configuration C” at which all
agents in A, can be matched by M1 and M2.

We extend this protocol to synchronize m primitive oscillators. Let PO,
(k=0,1,...,m — 1) be m primitive oscillators for the set of agents Ay, where
ar = (N, T,td,,te,) and ng = |Ag|. Let op (k = 0,1,...,m — 1) be the
offset between PO,, and PO,,_,. Provided that Aj’s are disjoint and A =
Uo<k<m—1A4y is of even size, a protocol that works on A is looked for, such that
for any execution &£ : Cy, C1, ... starting from any initial configuration Cy € C,
with probability 1, there are a time instant ¢y € N and integers dj, (> —tg) for
k=0,1,...,m — 1 satisfying the following conditions: (1) o, = dg41 — dj for
k=0,1,...,m—2,and (2) for k =0,1,...,m — 1, v5, (Ci1d,) = fa,(t) for all
t(> to), where Sy, is the state set of PO,,, i.e., PO,, = (7-CLK, S;). We call a
protocol satisfying these conditions (POq,, 00, POg,, 01, ,0m—2,POq, ).

We present a protocol P = (Q,d) and a subset S of @) that satisfies this
condition. First, the set of agents is A = Ui<x<m Ak, and the state set is Q) =
Gy X Ty, where G, = {0,1,...,m — 1}. An agent i € A is in state (k,t) € Q
means that it belongs to group Ay and its local time is t. We are concerned with
synchronization so that all members in the same group have the same time, while
the difference of the local times in Ay and Ay, is exactly og if h = k+ 1, provided
that initially all members in Ay are in a state in {k} xT. Let © = (k,r) and 2’ =
(K',r") be two states. The following protocol m-CPO defines (y,y’) = é(x,a’),
where y = (¢, s) and y' = (¢, ¢'). In the m-CPO, 4, is the transition function of
7-CLK. Note that the description of m-CPO presents the case in which k < &/
holds. Although omitted in m-CPO, the other case in which k& > &k’ should be
defined symmetrically.



30 A. Lamani and M. Yamashita

Protocol 3. m-CPO: Coupling m Primitive Oscillators

if k = k' then /* The agents are part of the same group. */
£=/{ =kand (s,8) = (r,7)
else /* The agents are part of different groups. */ (k < k') */
if (((r+ox) mod T=7r)V(k+1<k')) then
L=kt =FK,s=(r+1) modTand s = (r'+1) mod
else
=k ¢ =K ,s=(r+1) modTand s = (r+ox+1) mod T

By induction on m and using Theorem 3 the following theorem holds.

Theorem 4. The protocol defined by m-CPO is indeed (PO, , 00, POy, , 01, - .,
Om—2, POy, _,), provided that initially all agents in Ay, have a state in {k} x T, for
k=0,1,...,m—1.

For k = 0,1,...7 — 1, by defining fx as fx(t) = f(t) if t(mod 7) = k, we
deduce the following;:

Proposition 5. Any periodic function f with period T can be decomposed
into T primitive periodic functions fr (k = 0,1,...7 — 1) such that f(t) =
> o<k<r_1 fK(t) for allt.

Let POy be the primitive oscillator for f in the decomposition of f in
the proof of Proposition 5, for & = 0,1,...,7 — 1. Define P = (Q,9) as
(POy, 09, PO1,01,...,07—2,PO;_1), where o, =0 for k =0,1,...,7—2, and ¢
is 7-CPO. Let S = {(k,k)): k=0,1,...,7—1} C Q.

Corollary 6. Let Cy be any configuration such that for any k=0,1,...,7—1,
{i : Co(i) = (k,t) for some t € T} = f(k) holds. Then P with S realizes f
from Cy with probability 1.

Now, the remaining task is to reach a configuration C, starting from any
configuration Cj, that satisfies the initial condition in Corollary 6, which is the
theme of the next section.

5 Self-stabilizing Group Composition

Given a number of groups G, = {0,1,...,m — 1} along with their respective
sizes {ng,m1,..., nm—_1}, a protocol is said to solve the self-stabilizing group
m—1

construction problem if it ensures that given a population of size n = >"," " n;,
starting from an arbitrary configuration Cy € C, the population is eventually
divided into m groups of sizes ng,n1,...,n,—1, respectively.

e Accurate Solution. We first present a protocol P = (Gy,d,), denoted n-
GC, with the state set G, = {0,1,...,n — 1} that solves the group construction
problem for n groups, each of size 1. The idea behind n-GC is the same as the
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one used in the protocol proposed in [7], which is used for the leader election and
ensures that starting from an arbitrary configuration Cy € C, in any execution
& :Cy, (4, ..., there is a time instant ¢ty € N from which each agent has a unique
state. Transition function ¢, is given below.

Protocol 4. n-GC: Self-stabilizing n-Group Constructor
if (r #r') then 6,(r,r") = (r,7')
else 6,(r,r') = (r,(r +1) mod n)

By the definition of the n-GC, we can state the following proposition:

Proposition 7. Protocol n-GC is a self-stabilizing group construction protocol.

Corollary 8. The (general) self-stabilizing group construction problem is solv-
able by using n-GC.

Proof. Let n, (k=0,1,...,m — 1) be the size of Group k. We assume that an
agent 7 is in Group k if its state ¢ satisfies Z;:é n; <4< Z?:o n;. Then by
Proposition 7, the corollary holds.

Note that n-GC correctly works under a deterministic scheduler, and after
the convergence, agents never change the group to which they belong. The (only)
drawback however is the size n of state set G,,.

By Theorem 4 and Corollaries 6 and 8, we can construct a protocol that
realizes f with probability 1, by applying the fair merge technique. Hence,

Theorem 9. Any periodic function f is realizable using (n + 1) states.

As a note, in the special case where m = 2 and ny = nq, it is possible to
solve accurately the group construction problem using only two states per agent.
However, agents change their groups infinitely often and hence, the solution can-
not be used directly in our case since the agents need to stay long enough in
their group to insure the synchronization of their clocks.

e Heuristic Protocol. Aiming at solving the self-stabilizing group construction
problem using a smaller number of states, we propose in the following a heuristic
protocol P = (Q,¢), denoted HGC, that approximately solves the group con-
struction problem. It is a heuristic in that we do not have a formal proof that
it indeed approximately solves the problem, with probability 1. Some simula-
tions have been performed that show the possible convergence of the protocol,
however, the stabilization time is extremely long.

Let ng,n1,...,nm_1 be the sizes of the groups, and assume that they are
sorted in the increasing order without loss of generality, i.e., ny < ng4q for k =
0,1,...,m—2. Protocol HGC assumes ng|n; for all j. Let B = {b1,b2,...,bm_1},
where ng = by - ng. Let ¢ € N be a small constant (compared with n) greater
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than 5. The state of agent ¢ € A is (k,t), where k € {0,1,...,m — 1} is the
current group the agent belongs to, and ¢t € {0,1,...,c-by — 1} indicates its local
progress. Protocol HGC defines (y,y') = §(z,z’), where x = (k,r), ' = (K, 77),
y=(£s) and y = (¢,5).

Protocol 5. HGC: Heuristic Group Constructor

if k = k' then /* The agents are part of the same group. */
ifr=r'"=c-bythenl=(k+1) modm,s=0andy =y
else
ifr<c-bythen f=k s=r+1andy =2
ifr'<c-bythen y=xz,¢ =k and s’ =r"+1
else /* The agents are part of different groups. */
L=k, s=0,¢ =k and s’ =0

To understand the idea of Protocol HGC, assume that ng = ny = ... = ny,_1
and thus by =1 for all K =1,2,...,m — 1. In order for an agent ¢ to change its
group k to ((k+1) mod m), agent ¢ needs to interact c-by = ¢ consecutive times
with an agent in the same group. That is, for any sufficiently large population, as
long as the difference in the group sizes is too large, there would be agents who
change their groups, which eventually leads a configuration to an equilibrium
state in which the size of each group is approximately the same.

As a final note, since the agents may change their group during the execution
of HGC, in order to realize a given function f using the fair merge of m-CPO
and HGC, we need to make sure that when an agent updates its group, it also
updates its clock value to adjust it to the new offset. That is, when an agent
interacts, it first executes the actions of m-CPO (assume that the new computed
clock value is s) and then executes the actions of HGC. If by executing HGC,
it changes the group it belongs to, it also updates its clock value to respect the
offset o (if any). That is, its new clock value is updated to (s + 0) mod 7.

6 Conclusion

In this paper, we have investigated the problem of realizing a periodic function f
assuming a variant of the PP model in which each agent is part of an interaction
at each time instant and the interacting pairs are chosen uniformly at random.

Several open problems arise from this work: (1) The problem of designing
a memory efficient self-stabilizing protocol that solves the group construction
problem under our setting remains open. That is, our group construction pro-
tocol is based on n-GC which requires n states, independently of the actual
specification. Provided that the number of groups is m = o(n), is it possible
to solve the problem in O(m) space?. Observe that by using less than n states,
agents need to change their group infinitely often (since initially, all agents might
have the same state). Hence, for our implementation, we also need to ensure that
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agents stay in a given group long enough to allow the stabilization of the primi-
tive oscillators. (2) While protocol HGC seems to achieve the desired goal from
the different simulations performed, its formal analysis remains open. More pre-
cisely, is it possible to estimate the “approximation ratio” of HGC?. (3) We
have assumed that every agent is part of an interaction at each time instant,
this assumption is necessary to represent accurately a given periodic function f.
If we relax the specification and allow an approximation of the periodic function
f, we may choose a weaker scheduler that chooses 1 < p < n/2 pairs of agents
for an interaction. It will be then challenging to investigate the impact of the
degree of synchrony (number of interactions at each instant), on the considered
problem.
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Abstract. Radio Frequency Identification (RFID) technology consists
of uniquely identifiable and inexpensive tags as well as readers that mon-
itor these tags with the help of radio frequency signal. Balancing the load
of tags among the readers in a multi-reader RFID system is an impor-
tant issue to successfully collect data from all the tags. In this paper
we try to minimize the reading time of the readers by distributing the
tags among the readers in the RFID system. We introduce a Cellular
Automaton (CA) based localized load balancing algorithm to transfer
tags from highly loaded readers to readers with lower number of tags
associated with them. Our simulation results exhibit that our algorithm
outperforms the existing algorithm.

Keywords: RFID - Readers + Tags + Load balancing + Reading time *
Cellular automata * Fairness index

1 Introduction

Radio Frequency Identification (RFID) is a wireless technology which is being
widely used in various real life applications including wireless identification,
tracking, supply chain management, access control and security, temperature
logging, patient and children identification and monitoring etc. Scalability and
affordability have made it widely recognized and important technology for ‘Inter-
net of Things’ [9,10]. A RFID system generally contains a large number of tags
(transponders) and one or a few readers (transceivers). The tags are usually pas-
sive with limited energy to store and maintain limited amount of information.
The tags can also respond to queries made by the readers. A reader is capa-
ble of interrogating the tags to read the stored information. A reader can only
interrogate the tags that are within its interrogation range. It can also actively
decide to ignore a tag that is within its proximity. Unlike many other identifi-
cation systems such as bar-code systems, optical character recognition systems,
biometrics etc., the readers in RFID systems require no line-of-sight communi-
cation with tags that are within its interrogation range. Due to the significantly
higher number of tags compared to readers in a RFID system, most of the readers
have numerous tags within their interrogation range. When a reader sends out
a query, multiple tags may reply simultaneously and thus cancel each other out.
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This causes a delay in the reading time of the tags. Although many anti-collision
protocols [3,17,18,22,24] have been developed to prevent such collisions, they
cannot ensure short tag reading time. This is because in most of the multi-reader
RFID systems, the readers usually do not cooperate with other. The tags within
the interrogation range of multiple readers are read by all the readers. If the
readers were able to communicate with each other then this redundant informa-
tion gathering could be avoided hence greatly improve the tag reading times of
the readers. Xie et al. [23] propose a distributed algorithm to balance the load
of the readers so that each tag is interrogated by only one reader in a dense
environment. Hence, it makes the tag reading much faster.

In this paper we address the same fast reading problem by representing it as
a load balancing problem with the goal to distribute the tags among the readers
as uniformly as possible. We develop a cellular automaton (CA) based improved
algorithm that uses local information to achieve this goal. The advantage of
using CA based algorithms is that they are strictly localized. To the best of
our knowledge, we propose the first CA based strictly localized solution for this
problem. Simulation results show that our algorithm outperforms the existing
algorithm [23] in terms of load balancing. In a localized solution, algorithms
might need to go through different iterations. Through simulation we find that
our algorithm require fewer iterations compared to the existing algorithm [23].
The rest of the paper is organized as follows. Section 2 briefly introduces CA.
Work related to the fast reading problem are discussed in Sect.3. The system
model and the problem statement are discussed in Sect. 4. Detailed description of
our proposed algorithm can be found in Sect. 5. Simulation results are presented
in Sect. 6 while concluding remarks are given in Sect. 7.

2 Cellular Automata

A CA is a biologically inspired model that has been widely used to model differ-
ent physical systems [6,7]. A CA consists of a collection of cells on a grid whose
state evolves at discrete time steps according to the rules based on the states
of the neighboring cells. A two-dimensional CA can be defined as a quadruple,
A = (C,S,6,N) where C is the grid. The elements that compose this grid are
called cells. S is the finite set of possible states of the cells, § is the transition
rule of the automaton and N is the neighborhood of the cell. At time ¢, each
cell of C' is assigned a state of S. The state of a cell ¢ € C, at time ¢t + 1, is
determined by the transition function ¢ depending on the current state of ¢ and
the states of cells in the neighborhood of ¢ at time ¢. If all the adjacent cells
are considered as neighbors, then it is called a Moore neighborhood. The Moore
neighbors at radius 1 and radius 2 are shown in Fig. 1. Here the neighbors at
radius 1 are marked as ‘a’ while the neighbors at radius 2 are marked as ‘b’. In
a typical CA, all the cells synchronously verify the states of their neighbors and
change their states accordingly. More detail on CAs can be found in [13].
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Fig. 1. Radius 1 and radius 2 Moore neighbors.

3 Related Work

A wide range of anti-collision protocols have been developed to improve the
performance of RFID systems. There are mainly two classes of anti-collision
protocols: (i) tree based protocols and (ii) ALOHA based protocols. The tree
based protocols [3,17] are deterministic models and use either binary tree or
query trees. They split the set of tags of a reader into smaller subsets until each
subset contains a single tag. The identifier of the subset is used to uniquely iden-
tify the tags. Each subset with multiple tags is represented by an inner node in
the tree while a leaf node represent a subset with a single tag. The identification
delay is high in these protocols. On the other hand, the ALOHA base proto-
cols are probabilistic as the tags have to randomly chose a time slot in the query
frame sent by the reader [18,22]. The ALOHA based protocols do not completely
ensure the prevention of collision. In these protocols, a specific reader may not
be identified for a long time leading to ‘tag starvation’. Approximating the num-
ber of tags present in a RFID system is a key problem that many anti-collision
protocols face as they cannot correctly select the frame length. Estimating the
cardinality of the tags in the interrogation region of a reader is discussed in [4].
They introduce an algorithm that uses bitmap and hash function to develop a
replication-intensive estimation protocol which is helpful when multiple readers
are present in the network. Here tags do not need to be uniquely identified and
there is no need for any anti-collision protocols in order to estimate the number
of tags to a certain degree of accuracy.

A transmission control strategy for a common class of RFID multiple access
schemes has been suggested in [12]. It is built on earlier work based on Bayesian
broadcast strategies but adopts it for the RFID domain. It estimates the cardi-
nality of tags based on the number of idle slots in framed ALOHA. Two unified
estimation algorithms having complementary properties are presented in [19].
The unified simple estimator proposes three estimators and provides a high level
of accuracy, while the unified probabilistic estimator uses probabilistic framed
ALOHA protocol that has a running-time independent of the size of the esti-
mated tag set, for a given level of accuracy. Imbalanced tag distribution is a
common scenario in RFID systems with multiple readers. This creates further
challenges in achieving fast reading time which are not addressed properly in the
literature. Imbalanced topologies commonly occur in warehouses, supermarkets,
intelligent airports etc. Qunfeng et al. [20] suggests a probabilistic distributed
algorithm that uses min-max tag count assignment to balance the tag loads in
these topologies. Both load balancing and redundant reader elimination problem
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are jointly considered in [8]. It stores load information about the current reader
in the memory of each of the tags and updates it in each time step. This is
however, an impractical solution for very large scale RFID systems.

A fuzzy logic control-based load balancing agent for distributed RFID sys-
tems is considered in [16]. The proposed agent predicts data volume of an edge
M/W and evaluates workload of the edge M/W by fuzzy logic control. In order
to maintain stable workload, the agent migrates overload to other under-loaded
edge M/Ws or requests data reallocation to other overloaded edge M/Ws accord-
ing to the dynamic RFID load balancing algorithm. Eliminating redundant read-
ers can make the reading faster (as it eliminates unnecessary readers) if after
eliminating redundant readers, the load of the readers are quite similar. Several
centralized and localized solutions are proposed to eliminate redundant readers
in RFID systems [1,2,14,15]. Recently, a CA based redundant reader elimination
technique has been proposed too [21]. However, these algorithms do not guaran-
tee anything on the load of each reader. Xie et al. [23] introduce a distributed
load balancing algorithm for addressing the fast reading problem. To compare
the fairness of the loads among readers in the network they use a metric called
fairness index which was first introduced in [5]. According to their algorithm,
in a single time period, each reader determines its neighboring readers. Then
the reader iterates through each neighbor reader and checks whether a neighbor
has less number of associated tags than itself. If so, then the reader transfers a
certain fraction of the tags (0 < a < 1) to that neighbor reader. Each reader
continues to do this until either the fairness index of the reader reaches a certain
threshold or the transfer of tags does not have any effect on the fairness index.
Dong et al. propose a centralized optimal load balancing algorithm for RFID
readers using maximum flow algorithm [11].

4 System Model and Problem Statement

We consider a RFID system with a large number of tags and multiple readers.
An example of the system is shown in Fig.2. Here the numbers 1-6 are the
readers while the small black circles represent the tags. The tags in the system
are considered to be passive. A passive tag does not have any external power
source and processing power. They generate power from the signal sent by the
reader. When a reader sends a signal to a tag, the tag sends back the information
it contains in its memory. This kind of passive tags are less expensive. So they
are extensively used in different applications.

We consider two dimensional grid deployment where each cell can contain
multiple tags and maximum of one reader. The reader is capable of reading all
the tags in its interrogation range which we mean the interrogating radius in
this paper. It can also decide whether it should monitor a tag in its region or
not. All the readers in the grid together form a reader network where readers
can cooperate and communicate with each other. We assume that at any given
time a tag is associated with only a single reader. Initially, if a tag is within the
interrogation range of multiple readers then it can be randomly assigned to any
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Fig. 2. Model of a multi-reader RFID system.

of them and this assignment can not assure that the load of all readers in the
network are mostly even. The time taken by each reader to read any of its tags is
constant. As a result, total time taken to read data from all of the tags depends
on the total number of tags assigned to that particular reader. To achieve a fast
tag reading, the feasible objective is to minimize the maximum reading time of
any reader in the multi reader RFID system. Therefore the fast reading problem
can be represented as a load-balancing problem with the goal of distributing the
tags among the readers to minimize the maximum load of readers. This can be
expressed as:
minimize, maximum(wy, wa, ..., Wy, )

where, w; = |5

where S; denotes the associated tag set of reader r; and w; denotes the number
of tags in S;. If a reader in the multi-reader RFID system is associated with
a large number of tags, then it tries to transfer a fraction of its tags to other
readers which can interrogate those tags (i.e. tags are within the interrogation
range of those readers).

5 Algorithm

5.1 Algorithm Metric

To evaluate the fairness of the load-balancing algorithm we use similar fairness
index used in [5]. The fairness index can be used to determine the load distrib-
ution fairness in a certain area of the RFID system or the entire RFID system.
If w = (wy,ws,...,w,) be the load vector of the RFID system then the fairness
index of the system can be expressed as follows:

(Z?:l w;)?

n Z?:l w’LQ .

The value of fairness index is bounded within 0 to 1 with a higher value indicating
a better fairness. If the fairness index is 1 then the load distribution is completely
fair. In this case, each reader is associated with a equal number of tags. If the
load distribution is completely unfair then the fairness index will be % Here
all tags will be associated with a single reader. Our intention is to improve the
fairness index for a overall RFID network. However, in a localized solution, each

fairness_index =
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reader can only communicate with its own neighbors and by exchanging the load
information, it can only calculate the fairness index in its own locality. Please
note that, the optimal solution for minimizing the maximum load of a reader
does not always guarantee the optimal fairness index.

5.2 Proposed Algorithm

We model the problem using CA where each cell can have both reader and tag. A
cell can have either one reader or none. However, there is no such restrictions on
the number of tags. The description of the algorithm (Algorithm 1) is given below:

State representation: The status of each tag represents the reader which is cur-
rently interrogating the tag. A tag can be in the interrogating radius of maximum
9 readers. The state of the tag represents the direction of that reader (shown in
Fig. 3). For example, if the tag is currently being interrogated by a reader which
is in the same cell, then the state is “C”. A reader’s status represents its current
load (the number of tags is currently assigned to it).

NW| N [ NE
W|[C]|E
SW| S | SE

Fig. 3. Positions of interrogating readers for a tag.

Neighborhood: Each reader can communicate with its neighboring readers to
exchange the load information. It can also identify which tags are shared with
those neighbors. We consider communication radius 2 for readers. A reader can
read and write contents on the tag. A tag can only be assigned to a reader if
it falls within the interrogation radius of that particular reader. We consider
two interrogation ranges for each reader (radius 1 and 2). The details of these
parameters are discussed later in the simulation result section.

Transition Rules: Initially a random number of readers and tags are deployed in
the network. Each tag is randomly assigned to any of its interrogating readers.
Hence, the state of readers and tags are updated accordingly. Now at the next time
period, each reader does the following steps (steps are shown in Algorithm 1):

1. (lines 2-11) Tt calculates its own load (by checking the states of the tags which
are in its interrogating radius) and the load of its neighboring readers (from the
state description of each reader) as well to determine the fairness index of its
own neighborhood (radius 2).

2. (lines 12-22) For each neighboring reader and tag, the reader checks whether
transferring the tag to that neighbor can improve the fairness index of its neigh-
borhood. If it improves, then it updates the state of that tag. A reader can locate
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the position of that neighboring reader (where it is transferring the tag) in terms
of that tag. For example, if any reader is transferring the tag to a neighboring
reader which is in the NW corner of the tag, then it updates NW as the status
of that tag.

Once a reader finishes step 2 for each neighboring readers and interrogating
tags, it repeats step 1 and 2 again in the next time period. It is to be noted that
areader’s own load might have been changed at this time period due to the tag
transfer from its neighboring readers. This new load information can only be
updated at the next time period as all readers are working in parallel at any
given period of time, ¢t and new state information of each readers and tags can
only be observed at ¢t + 1.

Algorithm 1. CA Load Balancing Rules for Readers in RFID Systems

1:

2:

—_

12:
13:

14:

15:
16:

17:

18:

19:
20:
21:
22:
23:
24:

procedure ALGORITHM(State Changes in Reader with Time) > States of a reader
att+ 1 from ¢
for each R; in readers do > at any time period, t each reader runs the same
rules in parallel.
load; «— 0. > reader is updating its current load based on the status of tags
for each interrogating tags T, do
if getStatus(7%x) == R; then
load; < load; + 1
end if
end for
for each R; in neighboringReader do
getStatus(R;) > load information of each reader can be found from
their status.
end for
fairnessIndex «— local FairnessIndex(R;)
for each R; in neighboring Reader do > the reader checks whether
transferring any of its tag to a neighboring reader will improve the local
fairness index.
for each common tag (t) between the reader (R;) and the neighboring
reader (R;) do
if getStatus(t) = R; then
if updatedLocalFairnessIndex (L; — 1,L; 4+ 1) >fairnessIndex
then
getStatus(t, R;) > updating the status of the tag with the
new reader’s direction.
L; +— L; —1 b locally updated the load information which
might not be the completely
end if
end if
end for
end for
end for
end procedure
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When readers implement these rules in parallel, initially overall system fairness
index might drop down a little. However, from our simulation, we find that, after
few time periods the overall fairness index of the system improves a lot and all
readers become stable (no more tag transfers are needed). The details of simulation
results (fairness index improvement and the number of required time steps) are
discussed in the following section.

6 Simulation Results

We compare our proposed algorithm with the load-balancing tag assignment algo-
rithm (LBTA) which is proposed in [23]. We name our algorithm as “Cellular
Automaton based Load Balancing Algorithm” (CALBA) and implement both
algorithms in Python. We consider various scenarios with different grid sizes, dif-
ferent number of readers and tags, different interrogation and communication
radius. In all cases, readers and tags are deployed randomly in the network and
each tag is initially assigned to any of its interrogating readers. We also compare
our results with the centralized maximum flow algorithm proposed in [11]. All sim-
ulations results show the average of 20 runs.

In LBTA, readers use a diffusion parameter (o, where 0 < o < 1) to migrate a
fraction of its current load to its neighboring readers. According to LBTA, if the
loads of two neighboring readers (i and j) are w; and w; (w; > wj;) and the number
of common tags between them are S;; where S;; > « * (w; — w;), then reader ¢
can transfer « * (w; — w;) to reader j. The results of the algorithm varied with
different o values which is one of the major shortcomings of LBTA. Moreover the
algorithm does not explicitly identify the exact tags those should be migrated. It
just finds out the number of tags that can be migrated.

The communication complexity of CALBA is almost similar to LBTA. How-
ever, we can avoid the reader to reader communication completely by writing more
information in tags. In that case, each reader just writes down its presence with
its total current load to all tags which are within its interrogating radius and other
readers can take that information from those tags to compute the solution. How-
ever, we do not want to put much burden into tags as read/write operations are
quite expensive. Hence we also choose to communicate among readers. We consider
various « for the comparison purposes and find that our algorithm performs better
than LBTA algorithms in terms of overall fairness index and the number of itera-
tions required to reach that index. Moreover, in terms of fairness index sometimes
our algorithm performs better than the centralized algorithm. It shows that CA
based algorithms are good candidates to solve this type of load balancing problem.
Table 1 shows the comparison results among LBTA, CALBA and the centralized
algorithm in terms of fairness index and the maximum reading time. We consider
reader to reader communication radius 2 and interrogation radius 1 for various
numbers of grid sizes, readers and tags.

We also consider various diffusion parameters for LBTA and find that no spe-
cific diffusion parameter constantly performs well. It seems that diffusion parame-
ters 0.5 and 0.7 overall perform better compared to others. However, overall our
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algorithm performs ~ 4 % better than LBTA which is quite significant in large
RFID systems. Moreover, CALBA provides results faster than LBTA. We also
compare algorithms for reader to reader communication radius 2 and interroga-
tion radius 2. The comparison results are shown in Table 2. It is to be noted that
the performance of our algorithm is not as good as the previous case (interroga-
tion radius 2). This is due to the fact that, in the case of interrogation radius 2, a
tag might have readers which are in two opposite directions and can not commu-
nicate. Thus, the tag can not be migrated between these two readers to improve
the fairness index. However, still CALBA performs = 2 % better than LBTA.

Table 1. Comparison of Fairness Index and the maximum reading time for Interrogation

Radius 1
Grid size | Readers | Tags | Algorithms Initial Iterations | Final Maximum
fairness fairness reading
index index time
70x70 3500 7000 | LBTA | « = 0.3 | 0.66 2 0.77 5.5
a=0.5 5 0.89 5.2
a=0.7 6 0.88 6.2
CALBA 5 0.94 3.4
Max Flow N/A 0.93 2.8
60 x 60 | 2500 5000 | LBTA |« = 0.3 | 0.65 2 0.80 6.5
a=0.5 5 0.89 4.9
a=0.7 6 0.89 5.6
CALBA 4 0.94 3.3
Max Flow N/A 0.92 2.8
50 x 50 | 2000 4000 | LBTA | a = 0.3 | 0.66 2 0.79 5.2
a=0.5 5 0.91 3.8
a=0.7 7 0.90 5.0
CALBA 5 0.94 3.2
Max Flow N/A 0.94 2.5
40 x40 | 1200 2400 | LBTA |« = 0.3 | 0.66 0.78 5.6
a=20.5 0.91 3.95
a=0.7 0.90 4.0
CALBA 0.95 3.2
Max Flow N/A 0.92 3.05
30x30 |700 1500 | LBTA | & = 0.3 | 0.65 0.79 5.8
a=20.5 0.91 4.6
a =07 0.90 4.8
CALBA 0.94 3.6
Max Flow N/A 0.93 3.4
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Table 2. Comparison of fairness index and the maximum reading time with interroga-

tion radius 2

Grid Size | Readers | Tags | Algorithms Initial Iterations | Final Maximum
fairness fairness reading
index index time

70 x 70 | 3500 7000 | LBTA | « = 0.3 | 0.66 2 0.80 5.2

a=0.5 6 0.94 4.9
a=0.7 8 0.94 4.65
CALBA 5 0.95 3.3
MaxFlow N/A 0.95 2.5
60 x 60 | 2500 5000 | LBTA | « = 0.3 | 0.65 2 0.80 4.67
a=0.5 6 0.94 4.1
a=0.7 6 0.94 4.0
CALBA 5 0.95 3.65
MaxFlow N/A 0.93 2.05
50 x 50 | 2000 4000 | LBTA | « = 0.3 | 0.66 2 0.81 4.8
a=0.5 7 0.94 3.9
a=0.7 7 0.94 4.6
CALBA 4 0.95 3.2
MaxFlow N/A 0.92 2.3
40x40 1200 2400 | LBTA | a« = 0.3 | 0.65 2 0.81 4.8
a=0.5 5 0.94 4.0
a=0.7 7 0.94 4.05
CALBA 0.96 3.3
MaxFlow N/A 0.94 2.6
30x30 700 1500 | LBTA | @ = 0.3 | 0.67 2 0.83 4.6
a=0.5 9 0.93 3.7
a=0.7 11 0.93 3.5
CALBA 6 0.95 3.3
MaxFlow N/A 0.91 3.0

7 Conclusion

In this paper we develop a cellular automaton based localized algorithm to address
the load balancing problem of RFID systems. Our algorithm considers the spatial
constrains of the readers and is suitable for the systems with multiple readers. We
do extensive simulations and evaluate the performance of our algorithm by com-
paring the results with the existing algorithms. Simulation results show that our
algorithm gives better results in a better time compared to the existing localized
algorithm and even sometimes performs better than the centralized algorithm. In
future, we plan to implement and compare both algorithms in a parallel program-
ming platform, for example, in Compute Unified Device Architecture (CUDA).
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Abstract. As fuel accounts for a significant proportion of the total opera-
tional cost of heavy duty vehicles (HDVs) and to alleviate the environmen-
tal impacts, companies are seeking for novel practical methods to reduce
fuel consumption. Platooning is an effective approach in which a string of
HDVs driving close behind each other is formed. This reduces the aerody-
namic drag leading to a reduction in the overall resistive force on vehicles
which can provide an amount of fuel-saving in each of the following vehi-
cles. These trivial reductions result in a considerable decrease in the total
fuel consumption corresponding to all the vehicles. In this paper, we pro-
pose a mathematical model for the fuel-efficient platooning problem with
a deadline for each vehicle (truck) to reach its destination by then. We
create a graph partly based on the German road network considering only
20 important cities and solve 50 instances including 10 to 50 trucks. The
small samples are solved by the LINDO solver in real time but as the prob-
lem has a high computational complexity, a Genetic Algorithm is applied
to obtain fast solutions of a good quality for larger instances. The final
results show a satisfactory fuel-saving in all of the cases.

Keywords: HDV platooning - Fuel saving - Mathematical program-
ming * Genetic algorithm

1 Introduction

Due to strong economical and environmental reasons, transportation companies
try to reduce the fuel consumption of their heavy duty vehicles (HDVs). This is
because of the fact that the fuel cost constitutes about 30 % of the life-cycle oper-
ational expenses of an HDV (Schittler 2003 [14]). Furthermore, vehicles account
for a considerable 20 % of total carbon emissions of which a quarter comes from
HDVs (Schroten et al. 2012 [15]). Hence, a reduction in HDVs’ fuel consump-
tion results in a significant economical profit as well as achieving the absolutely
important goal of environmental protection.

Such significant aims can only be realised with the aid of novel effective
approaches. Platooning is a promising approach which focuses on reducing the
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Fig. 1. An example platoon: vehicles drive all at the same speed (v) and with the same
distance (d) from each other.

aerodynamic drag or resistive force on vehicles by forming a string of vehicles
driving together behind each other as it is shown in Fig.1. Depending on the
speed of HDVs (v) and the distances between them (d), the normal fuel con-
sumption of every trailing truck can be reduced based on a saving factor because
it drives in the slip stream of another vehicle driving ahead. Safety issues must
be considered by forming a platoon since HDVs are driving at close distances
from each other.

Platoons do not take shape spontaneously on a road network, in other words,
we cannot simply send HDVs (trucks) on their way hoping to make platoons.
Given a set of trucks with their origins, destinations, deadlines and the fuel
saving factor of platooning as well as the road network’s topology as the inputs,
we need to determine a fuel efficient route and travelling times for each truck as
the outputs of this problem. If it is beneficial, trucks should deviate from their
shortest path and take a detour in order to join a platoon. For some trucks, it
might be worthwhile to stop and wait for other trucks at some steps on their
route, whereas for some others it could be more efficient to keep travelling alone.

Thus, we need to employ some high-level decision making approaches which
are capable of assisting the navigation systems of trucks to form platoons on
a large scale and calculate optimal routes of each HDV based on the chosen
routes for other HDVs. Thanks recent improvements in computing power, the
implementation of the platooning concept for real cases has become possible,
although the idea was initially presented in 1966 by Levine and Athans [10].

Up to now, only a few attempts have been made to optimally form HDV pla-
toons to minimise the fuel consumption and most of the researches have assumed
that the platoons have been already formed and focused on the maintenance and
safe manoeuvring of them.

In this research, we aim at proposing practical and efficient approaches to
deal with the HDV platooning problem of various sizes. We create a simple
graph partly based on the road network in Germany, but only consisting of 20
important cities and shortest routes between them. Firstly, we present a mixed-
integer zero-one mathematical model considering a deadline for each HDV to
reach its destination. Secondly, as this problem is NP-hard (Kammer 2013 [7],
Larsson et al. 2015 [9]), and difficult to be solved in large scale in real time,
a genetic algorithm (GA) approach with a novel encoding system for solutions
based on the elimination of impractical routes, is presented.

The structure of this paper is organised as follows: In Sect. 2, we review some
previous researches into vehicle platooning. Section 3 contains our mathematical
formulations for the problem and the related descriptions. The proposed solution
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methodology is explained in Sect.4. Section covers, firstly, the explanation of
the created road network and our test problems, then, the main results of the
mathematical programming and GA are presented and compared. Finally, in
Sect. 6, we draw the conclusions of our paper and give some recommendations
for future research in this field.

2 Previous Works

As already mentioned, the most of conducted researches have not addressed
the formation of platoons and they have mainly involved safety and technolog-
ical issues. As some examples, see Bergenhem et al. 2012 [3], Linsenmayer &
Dimarogonas 2015 [12], Kianfar et al. 2015 [8], Alam et al. 2015 [2], Davis 2013
[4], Omae et al. 2012 [13], Kaku et al. 2012 [6], and Wang et al. 2005 [16].

Only a small number of works have dealt with the fuel-efficient platoon for-
mation. Liang 2014 [11] addresses this problem by dividing the overall com-
plex transport system into manageable layers and focuses on adjusting vehicles’
speeds through catch-up coordination. Larsson et al. 2015 [9] propose an integer
linear programming model where deadlines of trucks are not taken into account.
They prove that the problem is an NP-hard one, even in the case that the road
network graph is planar. Two heuristics with a local search are applied to the
problem and their performance is compared with the optimal solutions on the
German Autobahn road network.

Kammer 2013 [7] presents a comprehensive mathematical formulation and
a global solution approach for the problem. A locally distributed approach is
applied to the problem due to an exponential increase in its computational com-
plexity. Moreover, he investigates the influence of the number of trucks on the
total fuel savings and examines the effect of limiting the maximum travel time
of trucks.

The review of the related literature shows that there is a need for further
research into fuel-optimal platooning because the previous attempts in this field
are few and new efficient and fast approaches are required.

3 Mathematical Model

In this section, we present our mathematical model. Firstly, the assumptions that
the model is built based on are explained, then, we introduce the notations used
in the model, and finally, in the last subsection, the mathematical formulations
are given and described.

3.1 Assumptions

Our model is built based on the below assumptions:

— The HDVs (trucks) are all the same in terms of size and specifications.
— The trucks drive all at the same speed.
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— For simplicity, as most of the previous works, we assume that there is no fuel
saving for the leading truck of a platoon and all the trailing trucks benefit
from the same fuel saving rate (factor).

Unlike most of the previous works, we consider a deadline for each truck to
be in its destination by then.

Platoons are shaped in an undirected graph representing a road network. The
graph consists of some nodes and some edges between them. The length of all
the edges or the distance between any two connected nodes is considered to
be the same.

The unit fuel cost per edge is considered to be 1, as it does not effect the
validity of solutions and the objective function can be multiplied by the real
unit fuel cost to obtain the real total cost.

We define our time unit to be the time required for each truck to traverse an
edge.

3.2 Notations

The notation used in the model are as below:

Sets
A The set of all trucks (HDVs)

G The set of all nodes of the road network graph
E The set of all available edges between the nodes
T The set of time periods of an equal length

Inputs

e;; The edge between node ¢ and node j

Sq  Starting node of truck a

d, Destination node of truck a

n Fuel reduction factor for a trailing truck in the platoon

te _ The deadline or due date of truck a to reach its destination no later

max

than then

Variables

zy,;; Binary variable=1, if truck a is travelling along edge e;; between
time steps t and t + 1; otherwise it is= 0

¢35 Auxiliary binary variable=0, if no trucks traverse edge e;; between
time steps t and t + 1

ct,;; Fuel cost that is incurred on edge e;; between time steps ¢ and ¢ + 1

3.3 Formulations

Based on the above mentioned assumptions and notations, our mathematical
model is presented as follows:

Objective

Min Z = Z Z Cijt (1)

t eijEE
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Subject to

to

mazx

1
Z Z i, ;=1 Vae A (2)

t=0 Es,,,jeE

S oafu— Yt ;=0 Va€ Ai € G—{sq,da}it €{0, ..., 0, — 1}

eni €E e ;€E

$a

max

1
Z Z T, =1 Ya€A (4)

t=0 €jdg cE

zy;; =0 Va€ Aji,j€Gey € Bit >15,,, (5)
(Stﬂ'j < ZJ??’U VZ,] S G; €;ij € EteT (6)

Ctij = Zm?z] - 5t,ij77(z xi;—1) Vi,j€Gie; € EiteT (7)

Ty, 00i; €{0,1} Va € Aji,je GiteT. (8)

Equation (1) is the objective function of our problem consisting of the sum
of all truck fuel cost incurring on all edges during every time period.

Constraints (2)—(4) are responsible for node balancing. They ensure that
trucks leave their starting node early enough, then, prevent them from being lost
or created in a node, and finally, force them to reach their destination no later
than their deadline. No movement of trucks after their deadline is guaranteed
by Eq. (5). Constraint (6) sets the auxiliary variable d;;; to be used in the next
constraint. Constraint (7) calculates the cost incurred on each edge during each
time period. d; ;; is used here to ensure that the cost of an edge during a specific
period is zero if no trucks travel along it. Lastly, binary values for z7,;, 0¢,55 are
ensured by constraint (8).

4 Solution Approach

In this section, our solution methodology is explained in two subsections. Firstly,
the strategy of eliminating long and useless routes of trucks, and secondly, our
main solution approach, which is a GA is described.



The Fuel-Efficient Platooning of Heavy Duty Vehicles 51

4.1 Pruning

To reduce the computational complexity of our problem, it is absolutely impor-
tant to analyse all the feasible routes of each truck from its origin to destination
in order to realise where it is worthwhile for a truck to drive in a platoon and for
which routes platooning does not make sense based on the fuel reduction factor
7 and the route length. Feasible routes for this examination are those whose
shortest required traversing time allows the vehicle to reach its destination by
the deadline.

We describe the pruning procedure of impractical routes by a simple example
shown in Fig.2. Assume that a truck locating at its origin shown as node S, is
going to drive to its destination D. There are two alternative routes: a, which is
the shortest path, and b. The lengths of these routes are [, and [,. To analyse if
choosing the longer path (b) is worth it in the case of platooning, we can do the
calculation: (1 —n)l, <,

g Ty

a

Fig. 2. Analysing the longer path: if the relation (1 — )l < I, is not true for path b
then it is ignored and not considered as a potential route for platooning.

The above calculation is based on the optimistic assumption of maximum
saving that there is a platooning opportunity on the entire longer path which
is not always the case because platoons can usually be formed only on a part
of the path. Therefore, after finding all the different feasible routes, we can find
the shortest path and easily ignore those of others that do not satisfy the above
relation.

4.2 Genetic Algorithm

By applying the above pruning strategy, we have for each truck a set of alter-
native feasible routes on which platooning can be worthwhile. For example, if
there are m possible paths (routes) for truck i after pruning, we have the set
R; ={1,2,...,m} where paths are sorted based on their length, so the first path
is always the shortest one. The encoding structure of a feasible solution can be
a string of chosen paths from the first to the last truck as shown in Fig. 3. The
example shows a solution (chromosome representation) for a platooning problem
consisting of 10 trucks. In this example the first, second, third, fifth, ninth and
tenth truck drive on their shortest path, whereas the forth, sixth and eighth
truck drive on their second path but the seventh on its third path.

Now that we have a chromosome representation of solutions, we can use the
genetic algorithm (GA) procedure to search for better solutions in the feasible
space. GA is an effective evolutionary optimisation algorithm which works with
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1‘1‘1‘2‘1 1‘3‘2 1‘1

Fig. 3. An example chromosome: each cell contains the label of the chosen path for
the corresponding vehicle from the ordered list of feasible paths that it can take.

a population of chromosomes or solutions in each iteration. GA tries to improve
the fitness or quality of solutions in the population, iteration by iteration. We
present a brief explanation of our applied GA but for more general details the
interested readers are referred to the book of Haupt and Haupt 2004 [5].

The steps of the employed GA are as follows:

1. Initialise a random population of npop solutions and evaluate the objective
function of each based on the maximum achievable platooning by respecting
the deadlines of vehicles. Based on this, the traversing time of each edge of
the path that the corresponding chromosome shows is determined.

2. Choose a subset of the population with the size pcross x npop (peross is the
crossover rate) based on the fitness by the roulette wheel method (see [5]).
They are used as parents to perform the crossover operation and produce
new solutions. For crossover, we choose a random cell (gene) along the parent
chromosomes and exchange the cells between them based on it to have two
new solutions. The crossover procedure is shown in Fig. 4. It is worth noting
that if a big route number is placed in a cell of a chromosome resulted from
crossover which is infeasible for the corresponding truck, this value will be
then changed to the biggest available path label of the truck.

3. Choose another subset of the population with the size pmutat*npop (pmutat
is the mutation rate) to perform the mutation operation. For mutation a
random cell is chosen along the chromosomes and the value inside that cell
is randomly changed to another possible value.

4. Merge the current population with the individuals resulted from crossover
and mutation. Sort the merged population based on the fitness and choose
the npop best chromosomes (individuals) of it to be sent to the next iteration
as the new population.

5. If the termination criterion of the algorithm is met stop; otherwise go to
Step 2.

Chosen cell

$

‘1‘1‘1‘3 2‘1‘1 1‘1 2‘

‘1‘1 1‘2‘1 2‘3‘2‘1‘1‘

Fig. 4. An example of crossover
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5 Computational Experiments

This section consists of explaining our road network graph and presenting as
well as comparing the results.

5.1 Road Network Graph

In this research, we try to use a road network graph which is created based on
the location of some cities in Germany. Thus, 20 important cities are chosen
as the main nodes and only the shortest roads between them are considered.
This undirected graph is shown in Fig.5. The shortest distances between cities
are found on Google map [1] and they are divided to equal parts by placing
an auxiliary node in approximately every 40 Km to produce edges of the same
length according to our model. Distances are approximated and are not their
exact real values.

It must be pointed out that this simple graph do not reflect the real Autobahn
network in Germany and there are so many alternative cities and roads which
are not considered.

The resulted graph has altogether 137 nodes (the cities+auxiliary nodes) and
152 edges. We generate instances with 10, 20, 30, 40 and 50 trucks by assigning a
random origin and destination to each truck from the 20 cities of our graph. The
fuel reduction factor 7 is assumed to be 10 % for any trailing truck like most of
the previous works. The deadlines of trucks are randomly given in an interval of
[shortest path time, shortest path time+25]. The total number of time periods

is considered to be T = max(tZ,,. ).
a

Fig. 5. The considered graph of road network
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5.2 Results and Comparisons

As mentioned, we aim at applying our approaches to problems of 5 different sizes
from 10 to 50 trucks. Concerning the fact that random start and end cities of
trucks can effect the difficulty and final solution of the problems and to evaluate
the performance of the solution methodologies with more samples, we generate
10 different test problems for each of the 5 sizes. So 50 problems are solved alto-
gether. All computational experiments of this paper are executed on a computer
with an Intel(R) Core(TM) i7, 3.10 GHz CPU and 16 GB of RAM.

The samples are firstly solved through the presented mathematical model by
the LINDO solver in the GAMS platform. Once again all of the instances are
solved by our proposed GA which is implemented in MATLAB.

For our problem, the amount of fuel saving is absolutely important. This is
the difference between the initial case that trucks are driving separately on their
shortest path without any platooning and the best found platooning solution.
Furthermore, the computation time, which is the elapsed time that the method
requires to reach its final or best solution, is also significant, because we seek to
find a platooning solution in a reasonable time.

The percentage of the fuel saving by LINDO and GA applied to 10 instances
for each size are shown by box plots in Figs. 6 and 7, respectively. Similarly, the
solution times of the methods are depicted by Figs.8 and 9. In addition, the
average fuel saving and computation time of LINDO and GA are illustrated in
Figs. 10 and 11.

Due to an exponential increase in the solution time by growing the problem
size, solving problems containing 30 trucks and more within the solver time limit
becomes impossible and the LINDO results are only obtainable for the problems
with 10 and 20 trucks.

As it is evident for the test instances with 10 trucks, the exact optimal
solutions with LINDO can be reached in some reasonable times. The obtained
fuel savings range from 1.05 % to 1.98 % with an average of 1.63 %. On the other
hand, GA is able to find the same solutions in 7 of the cases in much shorter
times with an average saving of 1.5 %. For the instances with 20 trucks, the solver
time grows very sharply, whereas the GA time does not considerably increase
and stays in the range of 23.07 to 38.21s. The GA finds in 60 % of cases the
optimal solution and in the other cases the difference between the solutions of
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Fig. 6. Percentage of fuel saving by LINDO applied to 10 instances for each size
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the approaches is very small. The obtained average saving by the two methods
are 2.5 % and 2.45 %, respectively.

As the problem size increases to 30, the solver becomes unable to solve any
of the instances even within a long time limit set at 90 min. Thus, for these
instances, we present only the output of our GA, which are obtained in very
short time of almost 38.5s on average. The GA resulted in platooning solutions
with fuel saving between 0.85% and 5.16 % with an average of 2.73 %. Finally,
while the solution times rage only from 37.88 to 46.82s (on average 42.58) for
instances with 40 trucks and from 49.37 to 57.62's (on average 53.59) for instances
with 50 trucks, our GA can provide valuable average fuel saving of about 3.71 %
(between 1.34 % and 5.43 %) and 4.91 % (between 2.10 % and 6.82 %) for these
sizes, respectively.

6 Conclusion and Future Research

In this paper, we addressed the problem of forming groups of HDVs or trucks
to drive together in order to decrease the amount of fuel consumption. A non-
linear mathematical model was presented for the platooning problem in which
a deadline is considered for every truck. Moreover, a GA was proposed to solve
large instances of the problem due to NP-hardness and long computation time.
We observed that the GA was able to solve the large instances in a relatively
short time, while the exact solver had problem when solving instances with 30
trucks and more. The results show an average reduction of almost 5% in fuel
consumption with the largest instance. This percentage of saving may seem low
but we should pay attention to the fact that even this amount can result in a
large total financial and environmental benefit.

For further research into platooning problems, we can recommend dealing
with instances including more trucks and on graphs with more nodes and edges
by other appropriate solution methodologies. Another suggestion is to consider
the dynamic version of the problem where the inputs can change as time passes.
These two recommended directions make the research conform more with the
reality.
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Abstract. By using a deck of cards, it is possible to realize a secure com-
putation. In particular, since a new shuffling operation, called a random
bisection cut, was devised in 2009, many efficient protocols have been
designed. The shuffle functions in the following manner. A sequence of
cards is bisected, and the two halves are swapped randomly. This results
in two possible cases, depending on whether the two halves of the card
sequence are swapped or not. Because there are only two possibilities
when a random bisection cut is performed, it has been suggested that
information regarding the result of the shuffle could sometimes be leaked
visually. Thus, in this paper we propose some methods for implementing
a random bisection cut without leaking such information.

Keywords: Cryptography - Card-based protocols - Real-life hands-on
cryptography * Secure multi-party computations

1 Introduction

It is known that by using a deck of cards, we can realize secure computations. For
example, consider a secure AND computation of bits @ € {0,1} and b € {0,1},
i.e., assume that we would only like to know the value of a A b. By utilizing a
black card @ and a red card @, we can represent the value of a bit as follows:

&9 0. [O]#]= 1.

According to this encoding, each of the input bits a and b can be represented by
two face-down cards of different colors:

HEE
b

——

a
A pair of face-down cards (such as in the above example) is called a commitment.
That is, the two cards on the left constitute a commitment to a, and the two

© Springer International Publishing AG 2016
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cards on the right constitute a commitment to b. As in this example, the cards
we use are either black cards @ or red cards @, whose backs are assumed
to be identical . As shown in Table 1, many protocols have been designed to
perform a secure AND computation, among which we now introduce the Mizuki-
Sone AND protocol [10], designed in 2009. Given commitments to inputs a and
b along with two additional cards @@, the protocol works as follows.

Table 1. Some of committed AND protocols

# of colors | # of cards | Type of shuffle | Avg. # of trials
Crépeau and Kilian [2] |4 10 RC 6
Niemi and Renvall [12] | 2 12 RC 2.5
Stiglic [15] 2 8 RC 2
Mizuki and Sone [10] |2 6 RBC 1

RC: Random Cut, RBC: Random Bisection Cut.

1. A commitment to 0 is placed between the two input commitments:

S - (e

a b a 0 b

2. Rearrange the sequence order as follows:

HIHH

3. Apply a random bisection cut:

R EEE] - EEEEEE

A random bisection cut is a shuffling operation that bisects a sequence of
cards and swaps the two halves randomly. Therefore, the shuffle results in
two possible cases, depending on whether the two halves are swapped or not,
each with a probability of 1/2.

4. Rearrange the sequence order as follows:

EEEFEE
HIHH

5. Turn over the two left-most cards. Then, we are able to obtain a commitment
to a A b as follows:

SIIZI2]217) o [CI8[IzzI2)

aAb a/Ab




60 I. Ueda et al.

(a) Bisect a sequence of cards (b) Shuffle the two halves

Fig. 1. Execution of a random bisection cut

Although we omit an explanation regarding the correctness and secrecy of
this protocol, one can confirm that it outputs a commitment to a A b using six
cards after one execution of the random bisection cut [10]. (A protocol such as
this that outputs commitments is called a committed protocol.)

In practice, humans can perform a random bisection cut by shuffling the two
halves after bisecting a given sequence of cards, as illustrated in Fig. 1. Thus,
given a sequence of six cards

a random bisection cut results in

e el o [2]eele]e)e)

with a probability of 1/2 for each possibility, where the numbers attached to the
cards are for the sake of convenience.

Following the computational model formalized in [4,8], this random bisection
cut can be described as follows:

(shuffle, {id, (14)(25)(36)}),

where id represents the identity permutation, and an expression such as (14)
represents a cyclic permutation. Therefore, id indicates that the two halves are
not swapped, and the permutation (14)(25)(36) indicates that the two halves
are swapped. Historically, random bisection cuts first appeared when a six-card
AND protocol was designed in 2009 [10]. Even before that, some committed
AND protocols had been designed. These earlier protocols employed the random
cut as a shuffling operation, as shown in Table 1. A random cut refers to a cyclic
shuffling operation. For example, given eight face-down cards

HHHAEENE)

a random cut results in one of the following eight cases, each with a probability
of 1/8:

HHHHEHHHEIAHHEHHHH A A ARAHHE]




How to Implement a Random Bisection Cut 61

Therefore by following the computational model in [4,8], we can similarly
describe the random cut as

(shuffle, {id, 7, 7%, 73, 7%, 7%, 7% 77}),

where m = (87654321).

Table 2. Some other protocols

‘ # of colors ‘ # of cards ‘ Type of shuffle ‘ Avg. # of trials
Non-committed AND Protocols

den Boer [1] 2 5 RC 1
Mizuki et al. [7] 2 4 RBC 1
Committed XOR Protocols

Crépeau-Kilian [2] 4 14 RC 6
Mizuki et al. [11] |2 10 RC 2
Mizuki and Sone [10] | 2 4 RBC 1

As seen in Table 1, committed AND computations have become more efficient
by virtue of the introduction of the random bisection cut in 2009. This intro-
duction also provided the additional benefit that we were able to improve the
efficiency of non-committed AND computations and committed XOR computa-
tions, as detailed in Table2. In addition, further efficient protocols have been
designed using random bisection cuts [3,5,6,13,14].

As explained above, card-based protocols are intended in practice to be exe-
cuted by humans, who would like to actually perform secure computations using
a real deck of cards. Hence, when we execute a card-based protocol, it is expected
that all players gather at the same physical location, and perform operations such
as shuffles in public, as in the case of ordinary card games [9].

In order to implement a random cut in such a situation, it is sufficient that
each player cuts a sequence of face-down cards in turn until all players are
satisfied with the result. Indeed, we note that in practice it is relatively easy to
implement a random cut such that nobody is able to determine the result of the
shuffle at all. We will discuss this further in Sect. 4.

Meanwhile, when we execute a random bisection cut in reality, as illustrated
in Fig. 1, there exists a concern that the result of the shuffle may leak, because
there are only two possibilities, i.e., the two halves of the card sequence are
swapped or not. Therefore, this paper provides some methods for executing a
random bisection cut securely.

This paper is composed as follows. In Sect. 2, we present some methods for
implementing a random bisection cut using auxiliary tools. In Sect. 3, we propose
methods to reduce the execution of a random bisection cut to the execution of
random cuts using dummy cards. In Sect. 4, we discuss implementations of the
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random cut, and confirm through a basic experiment that humans are able to
implement random cuts securely, implying that random bisection cuts can also
be implemented securely.

2 Executing a Random Bisection Cut Using Auxiliary
Tools

In this section, we provide methods for implementing a random bisection cut by
using auxiliary tools that consist of everyday objects.

2.1 The Use of Paper Clips, Envelopes, or Boxes

When players operate a random bisection cut, if they are not familiar with
playing cards and have difficulty shuffling the two halves such that each half
stays together, as in Fig.1(b), then they may want to secure each half using
paper clips or envelopes [7,10]. By using these auxiliary tools, we are able to fix
each of the two halves together as shown in Fig. 2. Following this, it suffices to
swap the two bundles of cards randomly.

However, as explained in Sect. 1, the result of the shuffle could be revealed
when we execute a random bisection cut in public. That is, someone may count
how many times the two bundles are swapped. To avoid such a leak of infor-
mation, one solution is that each player shuffles the two bundles behind his/her
back or under a table, so that other players cannot see whether the two bundles
are swapped or not. In this case, it may be preferable to use envelopes or boxes
(as illustrated in Fig. 3) rather than paper clips, to avoid malicious actions.

ki, il

fiesaees} o

il g2

Fig. 2. Each half is placed in an envelope Fig. 3. Each half is placed in a box

However, as mentioned in Sect. 1, it is desirable for all actions to be performed
in front of all players and/or third parties publicly. Therefore, in Sects. 2.2 and 3
we present implementations of random bisection cuts where every action can be
performed completely in public.
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(a) Separator and (b) Ome half is ) The pile con-  (d) The other half
two halves placed on the sep- 51st1ng of one half is placed on the
arator and the separator pile
is flipped

Fig. 4. Setup for spinning throw

2.2 The Use of a Separator Card and Rubber Band

In this subsection, we present a novel method of performing a random bisection
cut using a separator card with a rubber band. Both sides of the separator (as
shown in the middle of Fig.4(a)) must be indistinguishable.

The method works as follows. First, a sequence of cards is bisected, with one
half placed on the separator, as shown in Fig. 4(b). Second, the pile consisting of
one half and the separator is turned over, as in Fig.4(c)!. Third, the other half
is placed on the pile, as shown in Fig.4(d), and these are fixed together using
a rubber band, to prevent the cards from scattering. Next, the pile is thrown
in a spinning manner (as illustrated in Fig.5). We call this action a spinning
throw. After the pile is caught, we are completely unsure of which half is on the
top. Finally, the rubber band is removed, and the actions described in Fig.4
are undone in reverse order, from (d) to (a). In this manner, we can conduct a
random bisection cut securely.

A
-
| —
(a) Hold the pile of cards (b) Throw the pile like a coin

Fig. 5. A spinning throw

3 Executing a Random Bisection Cut Using Dummy
Cards

In this section, we propose methods for reducing the execution of a random
bisection cut to the execution of random cuts using dummy cards.

! The separator prevents information regarding the color of cards from being leaked.
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It is assumed throughout this section that we want to apply a random bisec-
tion cut to a sequence of 2n cards, where n > 2:

n cards n cards

3.1 The Use of Cards of Other Colors

Here, as dummy cards we use cards whose backs are and faces are different
from @ and @, namely @ or @ Specifically, we use 2s @ and 2t @ cards,
where s,¢ > 1. That is, we have a total of 2(s + ¢) additional cards.

By using such dummy cards, we are able to implement a random bisection
cut as follows.

1. Place dummy cards with their faces down, as follows:

dummy cards n cards dummy cards n cards

H EEE | ER I FE A FH HEn

where the dummy cards are arranged as below:

s cards t cards

L2z [2]2 ]z ]2
N X )

2. Apply a random cut:

((zlz)-[zlzdz)- [z 2] L2 ) [2D-

3. Turn over the left-most card.
(a) If the face-up card is @, then turn over cards forward (in the right-hand
direction) until ¢ @ cards appear. Now, we have determined the positions
of all of the dummy cards, and hence we can remove them all:

t cards n cards s+t cards n cards
e e e e e e
<]+ (@] @l EE - W e[

(b) If the face-up card is @, then turn over cards backward (aside from cyclic
rotations) until s @ cards appear. Now, we have determined the positions
of all of the dummy cards, and hence we can remove them all:

n cards s+t cards n cards s cards
—N—
& W EE W B W

(c) If the face-up card is @ or @, then turn it over again and return to
Step 2.
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In this manner, after all of the dummy cards are removed, a random bisection
cut has been completed.

In Step 3, the probability that either (a) or (b) occurs is (s +¢)/(n + s +t).
Therefore, we are able to implement a random bisection cut using 2(s+t) dummy
cards after an average of (n+ s+t)/(s+t) executions of the random cut.

This method of discarding dummy cards was first devised by Crépeau and
Kilian [2], when they proposed some random permutation generating protocols.
Here, we have adopted their idea.

Regarding the parameters s and ¢, there is a trade-off between the number
of required cards and the average number of executions of the random cut. For
example, if we want to implement the Mizuki-Sone six-card AND protocol [10]
with an average number of two random cuts, then we require six additional
dummy cards, and hence this requires more cards than Stiglic’s eight-card AND
protocol [15] (although the former might have the advantage that it is simpler
to understand its correctness).

Moreover, we can select the parameters as s = 1 and t = 0, i.e., the above
method works even with only two @ dummy cards (and no @ cards).

3.2 Utilizing Vertical Asymmetricity of the Backs of Cards

In Sect. 3.1, we required additional types of cards to reduce the execution of a
random bisection cut to the execution of random cuts. On the other hand, in
this section we do not use such additional cards, but rather employ the same
cards that we have used before (@ and @ as dummy cards.

Our method works as follows. We exploit the vertical asymmetricity of the
backs of cards . Because the back is asymmetric, it can be seen as either
or , depending on the setting. Now, we describe how to implement a random
bisection cut by executing a random cut with 2m additional dummy cards, where
m > 1. (Here, any cards of type @ or @ can be used as dummy cards.)

1. Arrange the 2m additional dummy cards with their upsides facing down, as

follows:
m cards n cards m cards n cards

[e]a)-- [z ]2] - [2le e [e] 2] 2] - [2].
2. Apply a random cut:
(2] [2lede] - [e]z 2] [2]ee] - [e])

3. Cyclically shift the first several cards to the rightmost positions, without
changing their order, so that the first card will be a dummy card:

(2] [zl [e]2]- [2 e ][]z 2]

m cards n cards m cards n cards

(G- B EEE-EEE R
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4. Remove all dummy cards:

n cards n cards

In this manner, by using 2m additional cards and executing one random cut,
we are able to implement a random bisection cut. For example, the Mizuki-Sone
six-card AND protocol [10] can be implemented with one random cut by adding
two additional cards.

In this method, we must apply a random cut to cards that have asymmetric
backs, and hence information regarding the result of the shuffle could be leaked
more easily than with cards that have identical backs.

Taking this into account, we will discuss secure implementations of the ran-
dom cut in the next section.

4 Secrecy of Implementations of the Random Cut

In Sect. 3, we proposed some methods for reducing the execution of a random
bisection cut to the execution of random cuts. In general, it is believed that
a random cut can be securely implemented by humans. To support this belief,
we discuss the secure implementation of a random cut by performing a shuffle
with a real deck of cards. Specifically, in Sect.4.1 we point out that a naive
implementation is not secure, and then propose a secure implementation that
we call the “Hindu cut.” In Sect. 4.2, we demonstrate that the “Hindu cut” is in
fact a secure implementation of a random cut by conducting a basic experiment.

4.1 Discussion Regarding Implementations

Because a random cut consists of a cyclic shuffle, its simple implementation
proceeds as in Fig. 6: some cards (or a card) are taken from the top of the pile,
and then moved to the bottom of the pile (this is called a cut). At every cut, we
should change the number of cards that are to be moved. To verify whether this
simple implementation is secure, we conducted an experiment.

We asked eleven students in our laboratory to observe one author executing
a simple implementation of a random cut with a pile of eight cards. We then
asked them to track a specific card.

While most of the participants were unable to recognize the location of the
targeted card and gave up guessing, three participants were able to follow the
move and track the specific card with a high probability. Therefore, in the pres-
ence of people who are capable of following the cutting move, such a simple
implementation is not secure.

Thus, we require an alternative secure implementation of the random cut.
The three participants who were able to break the simple implementation
informed us that they could visually observe how many cards were moved at
every cut, and summed up the numbers. Hence, the key consideration is how to
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\

i

Fig. 6. Simple execution of a random cut

make it impossible for people to count the number of cards moved during every
cut.

One idea is to move cards from the bottom to the top of the pile instead of
moving them from the top to the bottom when executing a cut operation. By
doing so, it becomes difficult to recognize the number of cards that have been
moved. Moreover, if the positions of the cards are out of alignment, as in Fig. 6,
then it is possible to easily recognize the number of cards moved. Therefore,
we should ensure that cards are not out of alignment when we execute cut
operations.

Based on this idea, we found that a variation of the so-called Hindu shuffie
(shown in Fig. 7) is effective for preventing the cut operation from being revealed
(we call this the Hindu cut). In fact, the three participants mentioned above
were unable to guess the specific cards, and hence they all gave up following the
implementation of a Hindu cut.

YQ) | e

_J

Fig. 7. Execution of a “Hindu cut” Fig. 8. A card sequence including two
upside-down cards

Next, in order to verify the security of the Hindu cut, we conducted another
experiment based on the method presented in Sect. 3.2, which exploits the ver-
tical asymmetricity of the backs of cards. That is, we placed two cards (out of
eight) with their upsides down and applied a Hindu cut, as illustrated in Fig. 8.
Clearly, these upside-down cards are advantageous to people who wish to track
the move. Furthermore, we asked the participants to guess the location of a spe-
cific upside-down dummy card out of the two. (There are only two possibilities
after the shuffle, by virtue of the two upside-down cards.) As a result, even the
three participants mentioned above gave up guessing the specific dummy card.

4.2 Confirming the Security of the Hindu Cut

In order to confirm the security of the Hindu cut more, we requested 72 par-
ticipants (as shown in Table 3) who came to the Sone-Mizuki laboratory booth
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Table 3. Number of examinees Table 4. Result of our experiment
# of partic- | Ratio of male and Choice # of answers
ipants female (M:F) -

(1) T have no idea 64
2 62: 10 (2) Definitely, it must be A | 5
(3) Definitely, it must be B

in the Open Campus of Tohoku University in 2016, to watch a movie depicting
the execution of a Hindu cut. In the movie, we employ the same sequence of
cards as in Sect.4.1. We arranged two upside-down cards, named A and B, and
applied a Hindu cut. The time taken for the execution was 30s, and the movie
can be found at https://youtu.be/Zm-IpuOoblY. Following the Hindu cut, we
asked every participant whether he/she could determine which card was the left
upside-down card with certainty. Each participant was asked to choose his/her
answer from the following three options.

1. I have no idea?.
2. Definitely, it must be A.
3. Definitely, it must be B.

The result is presented in Table4. Most of the participants submitted the
answer (1), whereas five people gave the answer (2), and three gave the answer
(3)3. For the participants whose answers were (2) or (3), we requested that they
watch additional movies and answer again, in order to rule out wild guesses. As
a result, none of the participants were able to answer correctly for all of the five
movies that we had prepared.

Thus, we can conclude that the Hindu cut is an effective method for imple-
menting a random cut securely, although we recognize that a more careful and
wide ranging investigation is still required.

5 Conclusion

The random bisection cut has played an important role in improving card-based
protocols. However, implementation issues have not previously been discussed.
Therefore, in this paper we have proposed some novel methods for implementing
the random bisection cut, and demonstrated that humans are able to implement
it in practice.
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2 If a participant could not track the move with confidence, then he/she is assumed
not to have any motivation to reveal secret information from the result of the shuffle.
3 We note that the correct answer was B.
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Abstract. In this paper, a novel non-hybrid discrete artificial bee colony
(ABC) algorithm is proposed for solving planar graph coloring problems.
The original ABC intends to handle only continuous optimization prob-
lems. To apply ABC to discrete problems, the original ABC operators
need to be redefined over discrete space. In this work, a new algorithm
based on Similarity is introduced. Compared with HDPSO, the exper-
iment shows that the proposed method matches the competitive results
and obtains higher success rate and lower average evaluation times when
solving planar graph coloring problems.

Keywords: Artificial bee colony - Graph coloring problem - Swarm
intelligence + Combinatorial optimization

1 Introduction

Graph coloring problem (GCP) is a famous combinatorial optimization problem
(COP). It states that given an undirected graph with n vertices and m edges,
each vertex is assigned one of k colors so that none of the vertices connected with
an edge have the same color. This problem belongs to a kind of NP-complete
problems. Because of its simple definition, graph coloring problem is used to
model many scheduling and resource allocation problems, such as examination
scheduling.

Swarm intelligence is the collective behavior of decentralized, self-organized
systems. It is inspired from biological system such as the collective hehavior
of birds, ants or fish for foraging and defending, and often consists of simple
agents interacting locally with other individuals and with the environment. This
concept is introduced into computer science by Gerardo Beni and Jing Wang [1]
and has been successfully applied to many combinatorial optimization problems.
For example, particle swarm optimization, which is proposed by Kennedy and
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Eberhart [2], has been extended to solve discrete optimization problems [3] such
as graph coloring problem [4-7] and timetabling problem [8-10]. In addition, ant
colony optimization obtains good results by solving Travelling-Salesman Problem
(TSP) [11,12]. Finally, the Artificial Bee Colony (ABC) Algorithm proposed by
Karaboga and Basturk [13] exhibits excellent results when solving flow shop
scheduling problem [14,15] and graph coloring problem [16].

Artificial bee colony (ABC) algorithm is one of optimization algorithms in
swarm intelligence. Original ABC is inspired by the intelligent behavior of honey
bee swarm and recognized as a fast, reliable and efficient method for solving
continuous optimization problems [17]. In recent years, original ABC has also
been applied to solve discrete optimization problems such as graph coloring
problem [16]. In [16], the proposed ABC algorithm is hybridized with a random
walk with direction exploitation local search and obtains great performance.
However, hybrid algorithms are generally designed for specific problems and
their structures are more complicated. It is difficult to apply them to other
combinatorial optimization problems.

In this paper, we propose a novel discrete ABC algorithm based on similarity
to solve graph 3-coloring problems. Although hybrid ABC for graph coloring
problem has been proposed [16], few general-use discrete ABC has been found.
In the proposed method, we introduce Similarity and discretize the original
ABC directly without hybrid algorithms. Our method is simple to implement
and can be applied to other COPs readily.

The structure of this paper is as follows: first of all, the objective problem and
related works are discussed in Sect. 2. Next, the proposed algorithm is described
in detail in Sect. 3. Finally, in Sect. 4, the results of experiments are given and
show that this approach is more effective than HDPSO.

2 Problem Description

2.1 Graph Coloring Problems

In graph theory, graph coloring problem can be defined as coloring the vertices
of a given undirected graph with k£ colors such that no two adjacent vertices
share the same color. This problem is a well-studied NP-hard problem that is
often used to test the efficiency for many newly developed algorithms. In this
paper, we focus on graph 3-coloring problems, namely k = 3.

Following the proposed method in [18], solvable problems with n vertices and
m edges are generated as below:

n

1. Dividing vertices into three groups, each with % vertices.
2. Creating m edges randomly between vertices in different groups.
3. Accepting the graph if there is no unconnected components.

We also define a constraint density:

d:

m
n
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Constraint density indicates the level of difficulty for a given graph. Hogg pointed
out that the most difficult problems arise when d is between 2.0 and 2.5 because
the loose constraints allow for more local optimal solutions [19].

Figure 1 presents an example of graph 3-coloring problem, along with a pos-
sible candidate solution. A candidate solution for GCP is represented as a 1 x n
color vector &; = [T;1, Ti2, Ti3, .o, Tij, -, Tin], Where z;; € {0,1,2}. In our coding
scheme, 0, 1 and 2 represent red(R), green(G) and blue(B) respectively. Based
on this coding scheme, the solution of the graph in Fig.1 can be expressed as
x; =10,0,2,1].

(R)
©) Q‘ =4 INAR
®)

Fig. 1. An example of graph 3-coloring problem

To evaluate a candidate solution x;, we define con flict for each solution:

1 if Tij = Xy ANjl € E(G)
0 otherwise

conflicty = { (2)

n n

conflict(x;) = % Z Z conflict; (3)

j=11=1

where E(G) indicates the set of edges. Equation2 states that if two adjacent
vertices share the same color, the conflict between the two vertices is 1, otherwise
0. The total conflict of x; is given by Eq. 3 obviously. Note that % is indispensable
for avoiding calculating the conflict of two vertices twice.

2.2 Original Artificial Bee Colony Algorithm

Original artificial bee colony (ABC) consists of three bee groups: employed bees,
onlooker bees and scout bees. First of all, the employed bees explore the search
space and discover food sources. In most cases, one food source is equivalent
to a candidate solution. Next, onlooker bee evaluates food sources’ information
and selects a food source with a probability associated with its fitness. This
probabilistic selection is essentially a roulette wheel selection which is described
as below:

Jiti
P=— 4
Zévzl fitj ( )
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where N is the swarm size and fit; is the fitness value of the i*" food source in
the swarm. Obviously, the better the food source ¢ is, the higher the probability
of i** food source will be selected. Finally, if a food source cannot be improved
over a predefined iteration number limit, then this food source is abandoned
and replaced with a new random food source discovered by scout bee.

In order to produce a new candidate v; food source from the old one x;,
ABC uses the following equation:

Vit = Ty + ¢ X (@ — 251) (5)

where i,j € {1,2,3,..., N} and [ € {1,2,3,...,n} are randomly selected indexes.
Although j is determined randomly, it has to be different from 4. ¢ is a uniformly
distributed random number generated from [—1, 1]. Once the new candidate food
source v; is generated, a greedy selection is applied. If the fitness of v; is better
than that of the old food source x;, then replace x; with v;; otherwise keep x;
unchanged.

2.3 Discrete Swarm Algorithms

In this section, we review swarm algorithms to solve discrete optimization prob-
lems with reference to literature [3].

PSO: Particle swarm optimization (PSO), which is proposed by Kennedy
and Eberhart [2], is a stochastic search algorithm inspired by the coordinated
movement of fish schoolds and bird flocks. Though PSO is designed for solv-
ing continuous problems, it has been extended to solve discrete optimization
problems [3]. Sigmoid function is used to calculate the trajectory in binary
search space to solve Knapsack problem (KP) [20,21]. By applying Smallest Posi-
tion Value (SPV) method, a discrete PSO is used to solve flow shop scheduling
problem [22]. Some hybrid methods are also used with PSO to solve graph coloring
problem [5].

FA: Firefly algorithm (FA), which is proposed by Yang [23], is inspired by the
flashing behaviour of fireflies. The first FA for combinatorial optimization is
proposed by Sayadi et al. [24]. In this case, Sigmoid function is applied to each
component of the real-valued vector for updating the fireflies’ position. The
Sigmoid function is also used to transform the values form real to binary for
Knapsack problem [25] and feature selection [26]. Fister et al. apply Random
Key method in FA to solve graph 3-coloring problems and Random Key method
converts the real values to discrete values [27].

CSA: Cuckoo search algorithm (CSA) is an optimization algorithm developed
by Yang and Deb in 2009 [28]. It is inspired by the obligate brood parasitism
of some cuckoo species by laying their eggs in the nests of other host birds.
By applying Nearest Integer method to modify Levy Flights from continuous
values to discrete values, CSA can be used to solve a scheduling problem for a
flexible manufacturing system [29]. A discrete binary CSA is also proposed to
solve Knapsack problem by using Sigmoid function [30].
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2.4 Related Works

HDPSO: PSO with Transition Probability Based on Hamming Distance
(HDPSO) is a non-hybrid discrete PSO algorithm proposed by Takuya Aoki [7].
To compare the positions of particles, the Hamming distance is introduced as the
distance among particles. Then, to take into account the internal relationship
between colors in one particles, three relevant transition probabilities are calcu-
lated: Prand, Pppest and Pgpest. Finally, each component in a particle is updated
according to these probabilities. The basic updating strategy of HDPSO is shown
below:

Pseudo-code of HDPSO updating strategy for one particle x;

procedure update-position(xi)
for j=1to N
Generate random number r in [0,1];
if r <= Prand
xi[j] = random color;
else if r <= Prand + Ppbest
xi[j] = pbest[il [j];
else
xi[j] = gbest[jl;
end if
end for
end procedure

Experiment on graph 3-coloring problem shows that HDPSO is an efficient
method and can obtain better result than GA. However, when the size of graph
becomes large, the performance of HDPSO turns to be worse.

Hybrid ABC: Hybrid ABC (HABC) proposed by Izotok Fister [16] is also used
to solve graph 3-coloring problems. In this algorithm, original ABC is hybridized
with random walk with direction exploitation (RWDE) local search. Compared
with hybrid evolutionary algorithm (HEA) and EA-SAW, experiment shows that
HABC matches the competitive results. However, though Hybrid ABC outper-
forms the original ABC, it is designed for solving graph 3-coloring problems only
and difficult to be applied to other discrete optimization problems.

3 Proposed Method

3.1 Objective Function

The objective function is measured by:

conflict(x;)

fitness(x;) =1 —
m

(6)

where x; is a candidate solution and m is the edge number of graph. con flict(x;)
represents the number of conflicts of x;, which is given by Eq. 3.
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If there is no such two adjacent vertices that are assigned the same color, i.e.
conflict(x;) = 0, the objective function converges to optimal value 1 and the
candidate solution becomes the optimal solution.

3.2 Similarity

In original ABC, the employed bees and onlooker bees generate a new candidate
solution from «; by randomly choosing a neighbor solution «; and invoking Eq. 5.
However, in the proposed method, instead of choosing a neighbor randomly, we
select a neighbor solution which is similar to x;. The Similarity describes the
similar degree between two solutions x; and x;. It is defined as:

hd = H(CC.,;,.’BJ') (7)

hd
Similarity =1 —rnx — (8)

n
where hd indicates the Hamming distance between x; and x; and n is the vertex
number of graph. To increase some randomness, a uniformly distributed random

number rn from interval [0, 1] is introduced in Eq. 8.
HDPSO also introduces Similarity. It is defined as below:

hd
Similarity =1 — — (9)
n
Note that there is no such rn in Eq. 9. By adding rn in our implementation, the
search range is extended properly and more candidate solutions can take part in
the improvement of current solution x;.

3.3 Updating Strategy

Only such x; that is similar to x; will be selected as a neighbor and used to
generate a new candidate solution v;. Once a neighbor solution «; is determined,
we randomly choose u components from x; and replace the corresponding com-
ponents of x; by them. Note that if u = 1, the updating strategy is quite similar
to the original ABC which modifies only one component at a time (see Eq.5).
The procedure of updating is as follows:

Pseudo-code of updating strategy

procedure update-strategy(swarm)

for each solution xi in swarm
vi = xi;
randomly select a solution xj;
calculate the Hamming distance between xi and xj;
calculate the Similarity;
generate a random number r in [0,1];
if r < Similarity

randomly choose u components from xj and
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replace the corresponding component of vi
by them;
if fitness(vi) > fitness(xi)
replace xi by vi;
else
keep xi unchanged;
end if
end if
end for
end procedure

3.4 Main Procedure

The main procedure of proposed method is exactly identical to the original ABC.
Note that there is only one scout bee in the proposed method, which abandons
a solution that can not be improved in a predefined iteration time limit and
generates a new solution randomly. The main procedure is shown below:

Pseudo-code of main procedure

procedure proposed-ABC
initialization;
while (optimal solution is not found) and
(loop time < max iteration times)
send employed bees;
send onlooker bees;
send scount bee;
end while
end procedure

4 Experiments

4.1 Parameter Dependence

Before comparing with other algorithms, we have to examine the dependence
of the success rate on the parameters v and limit through experiments. Success
rate expresses the ratio of the number of successfully finding the optimal solution
from all runs. Using the method introduced in Sect. 2.1, 50 random graphs with
90 vertices (n = 90) are generated. The constraint density d is 2.5, which is the
most difficult problem. Swarm size (N) is 200 and max iteration is 10000.

First of all, fixing u on 3, we test proposed method on these 50 random
graphs using different limit. The result is shown by Fig. 2a.

Figure 2a demonstrates that the best success rate 86 % is obtained when
limit = 90. We accept 90 as the optimal value of limit. Next, to get the optimal
value of u, we fix limit on its optimal value 90 and examine the success rate on
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these 50 random graphs with different u. The result is illustrated by Fig. 2b, and
the best success rate 92 % arises when u = 2.

Finally, using the optimal values gained above, we investigate the success
rate of proposed method on graphs with different size n. For each size, 100 trials
are executed at constraint density d = 2.5. The success rates are shown by Fig. 3.

Table 1. Experiment conditions

Proposed Method | HDPSO
Swarm size 200 200
Max iteration | 10000 10000
w 0.05 -
c1 7.0 —
co 0.03 -
limit - 90
U - 2
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The success rate of proposed method is excellent when n = 30, 60,90. Even
when n = 150, the size of graph is large, we also obtain 20 % success rate.

4.2 Comparative Study

The proposed algorithm is compared with HDPSO on different constraint density
d to evaluate its performance. The two algorithms are compared according to
two measures: success rate, which has been defined above, and average evaluation
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times of objective function to solution, which reflects the efficiency of a particular
algorithm.

The parameters are listed in Table 1. The value of parameters w, ¢; and ¢y
for the HDPSO are taken from [7]. For the sake of fairness, 100 independent runs
are observed for each d because of the stochastic nature of both algorithms. The
results are shown by Fig. 4.

Figure4 is divided into 6 diagrams according to graph size and the two
measures, i.e. success rate and average evaluation times. We can observe the
following:

As Fig.4a, b and ¢ show, the proposed ABC obtains much higher success
rate than HDPSO does when constraint density d is equal to 2, 2.5 and 3. With
the size of graph growing, the proposed ABC retains relatively high success rate
while the performance of HDPSO becomes worse. For example, the success rates
of proposed ABC and HDPSO are 20 % and 1% respectively for d = 2.5 when
size of graph is 150.

On the other hand, as Fig. 4b, d and f show, even if the success rates are both
100 % when d is larger than 4, the average evaluation times of the proposed ABC
are much lower than HDPSO. That demonstrates the proposed ABC are much
faster than HDPSO.

The results show that for both success rate and average evaluation times, the
proposed ABC is effective and outperforms HDPSO dramatically.

5 Conclusion

In this paper, we solve graph 3-coloring problems using non-hybrid discrete
ABC based on Similarity. Experiments on 100 randomly generated graphs show
that the performance of proposed method is excellent. Furthermore, our method
includes a general technique that can be applied to various large-scale real-life
COPs. However, we do not claim that the proposed method is the best method to
solve graph coloring problems. In our forthcoming study, we will make a detailed
comparison with other optimization algorithms such as Firefly algorithm, Cuckoo
algorithm and so on.
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Abstract. Decision tree induction is inherently a multi-objective task.
However, most of the conventional learning algorithms can only deal
with a single-objective that may possibly aggregate multiple objectives.
This paper proposes the multi-objective evolutionary approach to Pareto
optimal model trees. We developed a set of non-dominated model trees
for a Global Model Tree framework using efficient sort and specialized
selection. Performed study covers variants with two and three objectives
that relate to the tree error and the tree comprehensibility. Pareto front
generated by the GMT system allows the decision maker to select desired
output model according to his preferences on the conflicting objectives.
Experimental evaluation of the proposed approach is performed on three
real-life datasets and is confronted with competitive model tree inducers.

Keywords: Data mining - Evolutionary algorithms - Model trees -
Multi-objective optimization - Pareto optimality

1 Introduction

The most important role of data mining [10] is to reveal important and insightful
information hidden in the data. Among various tools and algorithms that are
able to effectively identify patterns within the data, the decision trees (DT)s [20]
represent one of the most frequently applied prediction technique. Tree-based
approaches are easy to understand, visualize, and interpret. Their similarity to
the human reasoning process through the hierarchical tree structure, in which
appropriate tests from consecutive nodes are sequentially applied, makes them
a powerful tool [29] for data analysts.

Despite 50 years of research on DTs, there is still a space for the improve-
ment [21], such as: the search for better structure, splits and leaves models; multi-
objective optimization or efficient analysis of the cost-sensitive data. To help to
resolve some of these issues, evolutionary algorithms (EA)s [23] are applied to
DTs induction [2]. The strength of this approach lies in the global search for splits
and predictions and results in simpler but still accurate trees in comparison to
ones induced with greedy strategies [5].
© Springer International Publishing AG 2016
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The objective of this paper is to allow the decision maker to select desired
output model according to his preferences on tree comprehensibility and accu-
racy. The main contribution is a multi-objective evolutionary approach to Pareto
optimal model trees. To the best of our knowledge, such study on multi-
objective optimization for regression or model trees, surprisingly, has not yet
been addressed in the literature. Despite the popularity of DTs, the topic has
not yet been adequately explored even for classification trees.

In this work, we focus on the Global Model Tree (GMT) framework [5] that
can be used for the evolutionary induction of different kinds of regression and
model trees [6] and be applied in real-life applications [4]. We have extended
the actual fitness function of the GMT system that applied weight-formula or
lexicographic analysis with Pareto-based multi-objective optimization methodol-
ogy. The efficient non-dominated sort (ENS) [31], archive list of non-dominated
solutions as well as updated crowding functions were applied for the GMT sys-
tem. We have also incorporated the knowledge about tree induction into the
evolutionary search.

Experimental study was performed on three publicly available real-life
datasets and covered two-objective: tree error and tree comprehensibility; and
three-objective optimization: tree error, number of nodes and the number of
attributes in regression models located in the leaves. We have also confronted
obtained results with the competitive model tree inducers.

This paper is organized as follows. Section2 provides a brief background
and Sect.3 describes in detail proposed Pareto optimal search for the GMT
framework. Section4 presents experimental validation of our approach on real-
life datasets. In the last section, the paper is concluded and possible future works
are outlined.

2 Background

In this section, we want to present some background information on DTs and
the multi-objective optimization.

2.1 Decision Trees

Different variants of DTs [21] may be grouped according to the type of problem
they are applied to, the way they are induced, or the type of their structure. In
this paper, we focus on a model tree that can be seen as an extension of the typi-
cal regression tree [27] which, in turn, is considered as a variant of DT designed to
approximate real-valued functions instead of being used for classification tasks.
Although, regression and model trees are not as popular as classification trees,
they are highly competitive with different machine learning algorithms [13].

In case of the simplest regression tree [3], each leaf is associated with a
constant value, usually an average value of the target attribute. In the model
tree, this value is replaced by a linear (or nonlinear) regression function. To
predict the target value, a new tested instance is followed down the tree from
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a root node to a leaf using its attribute values to make routing decisions at
each internal node. Next, the predicted value for the tested instance is evaluated
based on a regression model in the leaf.

In this paper we study the evolutionary induced model trees; therefore, to
go further, we must briefly describe the process of learning of DT based on the
training set. The two most popular concepts for the DT induction are the top-
down and global approaches. The first is based on a greedy procedure known as
recursive partitioning [28]. In the top-down approach, the induction algorithm
starts from the root node where the locally optimal split is searched according
to the given optimality measure. Next, the training instances are redirected to
the newly created nodes, and this process is repeated for each node until a
stopping condition is met. Additionally, post-pruning [8] is usually applied after
the induction to avoid the problem of over-fitting the training data. Inducing
trees with the greedy strategy is fast and generally efficient but often produces
only locally optimal solutions. One of the most popular representatives of top-
down induced regression trees is Classification And Regression Tree (CART) [3].
As for the model trees, the M5 system [27] is the most recognized algorithm that
induces a tree with multiple linear regression models in the leaves.

The global induction for the DT's limits the negative effects of locally optimal
decisions. It simultaneously searches for the tree structure, tests in the internal
nodes, and models in the leaves. This approach is mainly represented by systems
based on an evolutionary search [2,5] and may reveal hidden regularities that
are often undetectable by greedy methods. There are relatively fewer approaches
for the evolutionary induction of regression and model trees than for the clas-
sification trees. Popular representatives of EA-based regression trees are: the
TARGET system [9] that evolves a CART-like tree with basic genetic operators
and a strongly typed GP (Genetic Programming) approach called STGP [14].
In case of globally induced model trees there is E-Motion [1] that is a counter-
part of the M5 system and a GP approach called GPMCC [26] with nonlinear
regression models in the leaves.

2.2 Multi-objective Optimization in the Decision Trees

Real-world optimization problems are usually characterized by multiple objec-
tives which often conflict with each other. In case of the DT induction, it is advis-
able to maximize the predictive performance and the complexity of the output
tree. A single evaluation measure may degrade the other measures; therefore,
multi-objective optimization may present more acceptable overall results. In the
context of DTs, a direct minimization of the prediction accuracy measured in
the learning set usually leads to the over-fitting problem [8].

There are three popular multi-objective optimization strategies [2]: the
weight formula, lexicographic analysis, and Pareto-dominance. The weight for-
mula transforms a multi-objective problem into a single-objective one by con-
structing a single formula that contains all objectives. The main drawback of this
strategy is the need to find adjusted weights for the measures. The lexicographic
approach analyzes the objective values for the individuals one by one based on
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the priorities. This approach also requires defining thresholds; however, adding
up non-commensurable measures, such as tree error and size, is not performed.
In contrast to Pareto-dominance approach, both aforementioned solutions were
already applied for evolutionary regression and model tree induction [1,5].

Pareto-dominance [25] searches not for one best solution, but rather for a
group of solutions in such a way, that selecting any one of them in place of another
will always sacrifice quality for at least one objective, while improving it for at
least one other. Consider m conflicting objectives that need to be minimized
simultaneously. A solution A = {aj,as,...,a,} is said to dominate solution
B = {b1,b2,...,by} (symbolically denoted by A < B) if and only if:

(A < B) =2 (Vz)(az < bz) N (32)(@z < bl) (1)

The Pareto optimal set is constituted only with solutions that are not dominated

by any other solutions:
{A|-(IB,B < A)}. (2)

The set of all Pareto optimal solutions is referred to as the Pareto front. Next,
these multiple alternative solutions are be presented to the decision maker for a
consideration.

Although, Pareto optimal approach is popular in machine learning [17], it has
not been explored for regression or model trees yet. However, in the literature
we may find some attempts performed for classification trees. In [32] the author
created Pareto optimal DTs to capture the trade-off between different types
of misclassification errors in a cost-sensitive classification problem. Such multi-
objective strategy was also applied [19] to top-down induced trees to minimize
two objectives: classification error rate and the tree size (measured by the number
of the tree nodes). Finally, the Pareto-optimality for greedy induced oblique DTs
was investigated in [24]. The authors show that a inducer, that generates the
most accurate trees does not necessarilly generate the smallest trees or the ones
that are included in Pareto-optimal set.

3 Pareto-Optimal Search in GMT

In this section, we present a new multi-objective approach for evolutionary
induced regression and model trees. At first, we briefly describe a system called
Global Model Tree (GMT). Next, we illustrate how to efficiently adapt Pareto-
based approach in the fitness function for GMT.

3.1 Global Model Tree

The general structure of the GMT system follows a typical EA framework [23]
with an unstructured population and a generational selection. The GMT frame-
work allows evolving all kinds of tree representations [6] e.g.: univariate, oblique,
regression, model and mixed. In our description we focused on univariate model
trees [5], however; our study can be easily adapted to the different types of trees.
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Model trees are represented in their actual form as traditional univariate
trees, so each split in the internal node is based on a single attribute. Each
tree leaf contains a multiple linear regression model that is constructed with
learning instances associated with that leaf. Tree-based representation requires
developing specialized genetic operators corresponding to classical mutation and
crossover. The GMT framework [5] offers several specialized variants that can
modify the tree structure, tests in internal nodes, and models in the leaves.

Fitness function is one of the most important and sensitive element in the
design of EA. It drives the evolutionary search process by measuring how good
a single individual is in terms of meeting the problem objective. Currently there
are two multi-objective optimization strategies implemented in the GMT: weight
formula and lexicographic analysis. Among various weight formulas tested within
the GMT system, the Bayesian information criterion (BIC) [30] has the highest
performance with regression and model trees. The BMC is given by:

Fitgre(T) = —2 % In(L(T)) + In(n) * k(T), (3)

where L(T') is the maximum of the likelihood function of the tree T', n is the
number of observations in the data, and k(7') is the number of model parameters
in the tree. The log(likelihood) function L(T) is typical for regression models and
can be expressed as:

In(L(T)) = —0.5n % [In(27) + In(SS.(T)/n) + 1], (4)

where SS.(T) is the sum of squared residuals of the tree 7. In this mea-
sure of goodness of fit the term k(T") can be viewed as a penalty for over-
parametrization. It reflects the tree complexity which for regression trees equals
to the number of nodes (denoted as Q(T")), where as for model trees it also
includes the number of attributes in the linear models in the leaves (denoted as

When the lexicographic analysis is applied in fitness evaluation, each pair
of individuals is analyzed, in order of priorities, one of the measures: SS.(T),
Q(T) and W(T). The first priority is set for the tree accuracy measure, next
the number of terminal nodes to prevent overfitting and overgrown trees. The
last measure W (T') keeps the models in the leaves as simple as possible and also
penalizes for over-parametrization.

The selection mechanism is based on the ranking linear selection [23] with
the elitist strategy, which copies the best individual founded so far to the next
population. Evolution terminates when the fitness of the best individual in the
population does not improve during the fixed number of generations (default:
1000). In case of a slow convergence, maximum number of generations is also
specified (default value: 10000), which limits the computation time.

3.2 Pareto-Based Approach for GMT

The main goal of the multi-objective optimization is to find a diverse set of
Pareto-optimal solutions, which may provide insights into the trade-offs between
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Fig. 1. General GMT schema together with proposed Pareto-based extension.
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the objectives. Current GMT fitness functions: weight formula and lexicographic
analysis yield only a limited subset of the solutions that may not even belong to
the Pareto front.

Multiple EAs were developed to tackle the multi-objective optimization prob-
lems, in particular the search for a set of Pareto-optimal solutions [15]. Among
various dominance comparison mechanisms, non-dominated sorting genetic algo-
rithm NSGA-II [7] has been shown to be very effective. It showed fast conver-
gence to the Pareto-optimal set, good spread of solutions and became a frame-
work for many future algorithms.

In the GMT system, we have applied the basics of the NSGA-IT workflow.
Most of the elements like sorting strategy itself, crowding and elitism differ from
the NSGA-II algorithm as they were specialized to fit more accurately to the
problem of evolutionary model tree induction. Figure 1 shows the general GMT
schema together with proposed Pareto-based extension.

In the first step, more recent search strategy called efficient non-dominated
sorting strategy (ENS) [31] is applied. The reason why ENS was selected is due to
its efficiency. Experimental evaluation of ENS showed that it outperforms other
popular non-dominated sorting approaches especially for optimization problems
having a small number of objectives which is here the case. The ENS algorithm is
conceptually different from most existing non-dominated sorting methods. ENS
determines the front each solution belongs to one by one, where typical non-
dominated sorting approaches determine the front of all solutions on the same
front as a whole. This way ENS avoids duplicate comparisons, since a solution
to be assigned only needs to be compared with solutions that have already been
assigned to the front.

In the second step of proposed extension (see Fig.1) the archive fronts
are updated. The NGSA-II approach maintains a population size set of non-
dominated solutions that is later combined with the next population. However,
in case of GMT, where population size is small (50 individuals), many interesting
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from the decision-maker point of view non-dominated solutions may be lost.
Therefore, we have applied different strategy [33] that allows storing all non-
dominated solutions investigated so far during the search. Solutions from Pareto
front are stored in elitist list, which is updated each time a new solution from the
current population dominates one in the list. Although, this operation is more
computationally expensive, it is still acceptable as the Pareto front in case of
GMT is not very large.

In proposed extension we also have adapted the updated crowding distance
procedure [11]. The crowded comparison operator (<,,) helps ordering (ranking)
the solutions. In NSGA-II the crowding-distance is used for diversity preser-
vation and to maintain a well-spread Pareto front. The main improvement of
the crowding distance calculation focuses on using unique fitnesses when two or
more individuals share identical value. Such case in NSGA-II algorithm causes
the crowding distance of the individual to either become null, or to depend on
the individuals position within the Pareto front sequence.

Finally, proposed approach differs from NSGA-II in a way of creating a new
population. In NSGA-II the archive and current population are merged into new
population using the binary tournament as a selection method. Each solution is
assigned a rank equals to its non-domination level (1 is the best level, 2 is the
next-best level, and so on) and in case of a draw, crowding distance is considered.
Due to storing the full list of non-dominated solutions in the archive, we have
applied strategy proposed in [16]. We reserve a room for p elitist solutions in the
next population (default: half of the population size P). In this strategy, P — p
solutions are selected from parents and newly created offspring and p solutions
are selected from the stored elitist list. Both sets use the binary tournament as
a selection method. The elitist solutions are scored with the crowding distance
(as they all belong to a non-dominated set) and the current population is scored
like in NSGA-II algorithm.

4 Experimental Validation

In this section, we perform a preliminary validation of proposed Pareto optimal
extension. While evolving model trees one can distinguish three objectives that
could to be minimized: prediction error measured with Root Mean Squared Error
(RMSE), number of nodes and the number of attributes in regression models
located in the leaves. The last two objectives are partially depended and may
fall under one single-objective denoted as a tree comprehensibility. Thus, in
performed experiments we present the results for the fitness function with 2
objectives where number of nodes and the attributes in models is summed; and
with 3 objectives where all measures are analyzed separately.

To assess the performance of the proposed approach in solving real-life prob-
lems three real-life publicly available datasets from Louis Torgo repository [22]
were analyzed: Abalone (4177 instances, 7 real-valued, 1 nominal attribute),
Kinematics (8192, 8, 0) and Stock (950, 9, 0). Each dataset was divided into
the training (66.6 %) and testing (33.4 %) set. In our experimental validation of
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Fig. 2. Pareto front for GMT (pGMT) for 2 objectives on training and testing set of
Abalone (a), Kinematics (b) and Stock (c). Results on testing set for GMT with weight
(wGMT) and lexicographic (IGMT) fitness functions are also enclosed.

the proposed Pareto GMT (denoted in experiments as pGMT) we also enclosed
the results for competitive systems. We have tested GMT with the weight fit-
ness function (wGMT), GMT with the lexicographic fitness function (IGMT)
and two popular top-down inducers: REP Tree (RT) that builds a regression
tree and state-of-the-art model tree called M5 [27] which is the most adequate
greedy counterpart of GMT.

Figure 2 shows the results achieved for the GMT system with different fitness
functions. The Pareto front was achieved for bi-objective optimization problem
that minimized the RMSE and the tree comprehensibility. One can observe, that
for all tested dataset the GMT system with weight or lexicographic fitness func-
tions managed to find non-dominated solutions, as they belong to the Pareto
front. However, open question is if the induced trees by wGMT or IGMT will
satisfy the decision maker. In case of the results for Abalone dataset (Fig.2a)
both wGMT and IGMT managed to find simple model trees with decent predic-
tion performance. However, if the analyst wants to have slightly more accurate
model, he might select trees with higher number of nodes/attributes. Opposite
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situation is for the Kinematics (wGMT and IGMT) and Stock (IGMT) datasets
where they find accurate but complex prediction models which could be difficult
to analyze and interpret. Although, the trade-off between prediction performance
and tree comprehensibility can be partially managed by ad-hoc settings of the
complexity term (wGMT) and thresholds (IGMT), there is no guarantee that
founded solutions will belong to the Pareto front. With the proposed Pareto-
based approach for GMT the decision maker can easily balance between the tree
prediction performance and its comprehensibility, depending on the purpose of
the analysis goals.

The Pareto front for three-objective optimization problem is illustrated in
Fig. 3. For all datasets, one can see a trend that either induced trees are small
but with large number of attributes, either large but with smaller number of the
attributes. In all cases, more compact trees have higher prediction performance
(smaller RMSE) than larger ones but with simpler models in the leaves. We can
also observe, that the IGMT for Kinematics and Stock dataset finds solutions
that do not belong to the Pareto front. The three-objective optimization enables
obtaining more variants of the output trees, but it can also cause choosing right
prediction more difficult.

Table 1 illustrates achieved results for evolutionary induced model trees with
different fitness functions as well as popular greedy counterparts of GMT. For
all datasets, three metrics are shown: RMSE on the testing set, number of nodes
and number of attributes in regression models located in the leaves. One can
observe that GMT variants induce much more comprehensible predictors with
smaller number of nodes and less complex regression models in the leaves, which
was also noticed in [5]. The RT algorithm induces only regression trees, thus the
attribute metric does not apply.

In the real-life applications the predictive accuracy is usually considered more
important than the comprehensibility of DT. Consider, for instance, two trees:
T1 and T2 where T1 has 20 % smaller prediction error but also 20 % larger
size. Most of the researches would clearly prefer the T1 over T2; however, the

Table 1. Performance results for evolutionary induced model trees with different fitness
functions as well as popular greedy counterparts of GMT. Results for three solutions
from the Pareto front (denoted as pGMT *) are also included.

Algorithm | Abalone Kinematics Stock

RMSE | nodes | attributes | RMSE | nodes | attributes | RMSE | nodes | attributes
wGMT 2.127 |2.0 7.92 0.163 |7.12 |34.32 1.386 |3.94 | 14.17
IGMT 2,341 |1.0 5 0.154 |9.7 74.5 0.935 [41.4 |111
M5 2.122 |12.0 |96 0.162 | 106 | 848 0.937 |47 423
RT 2.223 291 |- 0.194 819 |- 1.469 137 |-
pGMT 1* [2.359 |1 2 0.184 |2 13 1.531 |3 8
pGMT 2* [2.102 |2 9 0.174 |4 25 0.928 |31 38
pGMT 3* [2.079 |3 12 0.149 |17 116 0.782 |61 121
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Pareto approach would consider that none of these two trees dominates the
other. Therefore, in context of DT and the Pareto front, the weights preferences
could be introduced to the multi-objective optimization [12].

5 Conclusion and Future Works

In the paper we propose a new fitness function to evolutionary induced regression
and model trees. Preliminary experiments showed that our approach is capable
of finding Pareto front for the GMT framework. Its a first step towards searching
for efficient and easy to interpret Pareto optimal DTs. There are, however; still
many open issues that need more research and clarification.

The impact of this new multi-objective optimization on the GMT perfor-
mance need to be analyzed more deeply. The proposed approach increases the
calculation time of each evolutionary loop and may affect the convergence of
the EA. Additional efficiency improvements, especially in context of storing and
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preprocessing full list of non-dominated solutions need to be considered. Perfor-
mance issue may also be partially mitigated with parallelization of the GPGPU
approach for GMT [18].

Next issue that need to be resolved is the comprehensibility of the generated
Pareto front. Currently, due to the size of the front and the number of possible
trees, the decision maker may have problem to decide which predictor he should
choose. Thus, more research need to be performed in context of limiting the out-
put elitist front as well as improving the crowding function with aforementioned
weights.
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Abstract. In this paper we propose a new metaheuristic approach based
on sampling for the Orienteering Problem with Stochastic Travel Times
(OPSTS). As in many Stochastic Combinatorial Optimization Problems,
the computational bottleneck of OPSTS is in the objective function eval-
uation. For this reason, this study is mainly devoted to the development
and integration of on-purpose, sampling-based fast objective function
evaluations into metaheuristic methods. In details, we show how a Vari-
able Neighbourhood Search Metaheuristic can be enhanced by adopting
such evaluators. Experimental results show that the new sampling-based
method is faster than conventional methods for the given problem, and
the improvement is particularly relevant for large-scale instances.

Keywords: Hybrid metaheuristics - Orienteering Problem with
Stochastic Travel and Service Times * Variable Neighbourhood Search

1 Introduction

The Orienteering Problem with Stochastic Travel and Service Times is a Sto-
chastic Combinatorial Optimization Problem (SCOP) where the objective is to
select a subset of nodes to serve before a global deadline. When we serve a node
as planned we get a reward, otherwise a penalty is incurred. Because part of
OPSTS is to solve the Travelling Salesman Problem (TSP) a well-known NP-
hard problem, OPSTS is also NP-hard. Because of its stochasticity, it’s also very
time consuming to find good quality solutions or even to compute the objective
function. That is the reason that we resort to metaheuristics in order to achieve
some good quality near-optimal solutions in a reasonable amount of time. Meta-
heuristics are general purpose methods for finding sufficiently good solutions but
not necessarily optimal for hard optimization problems [18].
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One of the most important components of any algorithm is the objective
function which measures the quality of each solution produced. In OPSTS, as in
other combinatorial optimization problems, the objective function is the most
frequently called function of the algorithm. Furthermore, the objective function
of Stochastic Combinatorial Optimization Problems (SCOPs) is usually either
hard to compute as in [21] or very time consuming as in OPSTS. Therefore, it
is well worth optimizing it.

The state-of-the art methods for many SCOPs use Monte Carlo Sampling to
deal with the intricacies that SCOPs’ objective functions introduce. Example of
using sampling-based metaheuristics for SCOPs include [20] for the Stochastic
Traveling Salesman Problem; [9,11,13], for the OPSTS, and [7] for the Mobile
Facility Routing and Scheduling Problem. However, for OPSTS Monte Carlo
Sampling tends to have large sampling error for particular parts of each solution
[9,11] (see Sect.4 for more details). To deal with this problem, we may com-
bine analytical, sampling and deterministic evaluators for the objective function.
These combinations produce different speed and error benefits. These character-
istics of the hybrid evaluators like the ones proposed in [11] have positive effects
in the quality of the final solutions found by metaheuristics.

In this paper, we consider novel hybrid sampling-based evaluators of the
objective function of OPSTS and we design new experiments to examine their
performance when coupled with a metaheuristic approach. Furthermore, we pro-
duce and test our metaheuristics on new large-scale datasets.

In Sect. 2 of the paper we examine the related work in the literature of SCOPs
and OPSTS, in Sects. 3 and 4 we define the problem and the objective function
evaluators. In Sect. 5 we examine the metaheuristic used. In Sect. 6, we present
our experimental design and results, in Sect.7 we state the conclusions of the

paper.

2 Related Work

This section gives an overview of the state-of-the-art methods for approximat-
ing the objective functions of Stochastic Combinatorial Optimization Problems
(SCOPS) using Monte Carlo Sampling.

There have been contributions in the Ant Colony Optimization domain. For
example, in [5] the authors introduce the first Ant Colony System based on sam-
pling. An application of S-ACO in a policy optimization problem in healthcare
management can be found in [15]. S-ACO was further improved by ACO/F-Race
proposed by Birattari et al. in [2] by combining S-ACO with a so called race algo-
rithm. It is then applied to the Probabilistic Travelling Salesman problem.

In the Evolutionary Algorithms field, Yoshitomi and Yamaguchi [22] use a
Genetic Algorithm for solving the stochastic job-shop scheduling problem. In
their works the final solution is selected from the set of frequently visited solu-
tions. An ant colony metaheuristic hybridized with local search and Monte Carlo
sampling together an analytical approximation of the objective function can be
found in Weyland et al. [19].
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As far as the Orienteering Problem is concerned, an extensive survey can
be found in [14]. The Orienteering Problem with Stochastic Travel and Service
Times (OPSTS) treated in this paper was introduced in [3]. In that paper, the
authors study special versions of the problem that can be solved optimally and
present a Variable Neighborhood Search heuristic for the general problem.

Recently, Monte Carlo Sampling has been used to accelerate the computa-
tion of the objective function of the mobile facility routing and scheduling prob-
lem [7]. Additionally, hybrid evaluators for the OPSTS have been studied in iso-
lation (without coupling them with any particular algorithm) in [9,11,12].

3 Problem Definition

In this section, we give the formal definition of OPSTS as it was introduced
in [3].

We denote N = {1,...,n} aset of n customers with the depot being node 0.
In OPSTS the aim of the problem is to select M C N, with M representing the
set of customers to be served. There is a global deadline D for serving customers
without a penalty. We assume that the graph is full and therefore there is an arc
(4,4) for all 4, j € M. Servicing a customer i € M before the deadline results in a
reward r; otherwise a penalty e; is incurred. Let X; ; be a non-negative random
variable representing the travel time from node ¢ to node j and S; a random
variable representing the service time of customer i. It is assumed that we know
the probability distribution of X ; Vi, j and that the service time S; for the ith
customer follows the same distribution as X;_;; and can be added to the travel
time X;_1 ; and therefore need not be considered separately. In the experiments
presented in Sect. 6, the probability distribution of the random variables will be
a I' distribution, for consistency with previous work [3]. Let the random variable
A; be the arrival time at customer i and A4; a realization of A;. Now let R(Ai)
be a function representing the reward earned at customer i when arriving to
i at time A;. According to our definitions R(A;) = r; for A; < D, otherwise
R(AZ) = —€; (fOI‘ /L)

A tour of the customers 7 is defined as a sequence of customers € M. The
objective function of the problem is defined as the expected profit of the tour:

u(t) =Y [P(A; < D)r; — (1= P(4; < D))e;] (1)

1ET
4 Objective Function Evaluators

As previously mentioned, in OPSTS the bottleneck of the computation when
using metaheuristics is the objective function evaluation. By accelerating such a
computation, while trying to preserve the approximation error low, we have sev-
eral advantages including finding better solutions in a fixed amount of time and
being able to apply metaheuristics on large datasets. In this section we present
some evaluators that approximate the objective function of OPSTS in a fast
way. The interested reader is referred to [11] for more insight and experimental
evaluation of the different methods.
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Analytical Evaluator (ANALYTICAL). This evaluator, which is used as
our reference evaluator for the objective function of OPSTS is derived analyt-
ically from the expression of the objective function (1) and it is the one used
in [3]. In the following we make the same assumptions as in [3] that the travel
times X; ; are I" distributed.

We let A; be the arrival time at the node i. A; will be the sum of the travel
times X 5, of all (j, k) edges in the path from the depot to . Since travel times
are I' distributed, A; is the sum of I" distributed variables. In [6], we can see an
important property for our derivation, namely if Y; follows a I'(k;, #) distribution

N N
fori=1,2,---, N and all Y; are independent then > (Y;) ~ I'(Y_ (k;, 0). This is

i=1 i=1
the main property so that we can derive our analyztical evaluator, and the same
derivation can hold for other distributions if this property holds. By using this
property, A; can be approximated by the I" function of the sum of all the travel
times of all nodes j (k;) before node i. We assume that Fy, (D) is the Cumulative
Distribution Function (CDF) of A; until the deadline D. In other words it is the
probability that customer i is visited before the deadline (P(A4; < D)). To obtain
k; we sum all the arrival times k; of the nodes on the path from the depot to i.
Therefore now (1) can be computed in a closed form as follows:

u(r) =Y _[Fi,(D)rs — (1 = Fy, (D))ei]

1ET

The analytical evaluator performance depends on the underlying distribution.
In our paper the I' distribution is used in order to compare with the seminal
paper. In general, approximating distributions analytically will involve compu-
tation of integrals numerically, which usually can be outperformed by Monte
Carlo techniques. For some distributions we might not even be able to derive an
analytical approximation.

Monte Carlo Evaluator (MC). To compute the objective function (1) we
must be able to compute P(A; < D). In this method we do it by using Monte
Carlo Sampling. Firstly, we generate many different fully connected graphs (sce-
narios) with travel times — and consequently arrival times A; at each node i
— sampled according to the given travel time probability distributions. When
a solution has to be evaluated, MC method computes the deterministic objec-
tive value of the solution for several scenarios (sampled according to the given
distribution for travel times) and returns the average of the values of all the
computations. The bottleneck of the MC method is the generation of random
numbers of a specific distribution. To accelerate the procedure of Monte Carlo
evaluation, many sample of travel times from every node to every other node are
precomputed (scenarios). Each sample in the precomputation is a matrix with
cells that represent a realization of a random variable X; ;. Such a precomputa-
tion matrix can be seen in Fig. 1. These samples are reused for all the running
time of the algorithm in our implementation. So, after the precomputation phase,
we compute the objective function as described previously.
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L 3 X314 4
#Samples

Fig. 1. Precomputed Samples. Each sample is a fully connected graph with realizations
of the arrival times according to their given distribution.

MC-ANALYTICAL-MC Evaluator (M-A-M). We now consider those
nodes that in a solution are visited in the temporal proximity of the deadline. We
call the set of these nodes “the deadline area”. When the MC evaluator is used,
these nodes are visited on time in some scenarios and too late in others. Since
rewards and penalties are normally not symmetric (e.g. penalty << reward),
this may cause creation and propagation of errors in the objective function eval-
uator. If for example an evaluator considers falsely that a node is not visited on
time on average then this node will contribute a penalty instead of a reward and
the same is true for all the subsequent nodes until the first that is visited after
the deadline on average in reality. In Fig. 2 we can see how the error propagates.
In this example “MC Deadline Node” is the node where the Monte Carlo eval-
uator estimates the deadline will occur while it occurs on the “Deadline Node”.
For the nodes from “MC Deadline Node” to “Deadline Node”, the evaluator
wrongly assigns a penalty, resulting in computing an objective value of 0in the
end instead of 16.

In order to avoid these errors that can be big, we evaluate these nodes using
the ANALYTICAL method. To define the deadline area we select a factor a/(0 <
a < 1) and then we include all the nodes with deterministic travel times betweeen
[(1 =)D, (14 a)D]. The other nodes (non critical) are evaluated using Monte
Carlo Sampling. we refer to such an hybrid evaluator as MC-ANALYTICAL-MC
(M-A-M).

REWARD-MC-ANALYTICAL-MC-PENALTY Evaluator (R-M-A-
M-P). R-M-A-M-P further enhances the speed of M-A-M previously introduced
by assuming that nodes very far from the deadline area with very high proba-
bility will gain reward or induce penalty. Therefore, in a similar manner with
the deadline area, it defines the reward area and the penalty area where the
nodes get reward and penalty respectively without any computation. To define
the R-M-A-M-P areas we need as in M-A-M the factor o and also the factor
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Cost: AN AN:8, AN:16, AN:20, AN: 18, N6, |

Me:3 Mc:8 Mc:s MC:2 MC: 1 MC:0

Monte Carlo Problem

Fig. 2. Example of propagation of errors when using Monte Carlo Sampling. Monte
Carlo evaluator estimates wrongly the deadline node resulting in wrong objective value
estimation.

p(a < p < 1). The nodes in the interval [0, (1 — p)D) are in the REWARD area
and get a reward and the nodes in [(1 4 p)D, +o0] (where 400 is the last node
of the solution) are in the PENALTY area and get a penalty. As in M-A-M the
nodes in [(1 — a)D, (1 + a)D] are evaluated using the ANALYTICAL method
and the rest of the nodes are evaluated using Monte Carlo sampling. R-M-A-M-
P provides us with fine-grained control and it normally outperforms M-A-M (at
the price of an extra parameter to be tuned).

REWARD-Analytical- PENALTY Evaluator (R-A-P). This evaluator is
a simplification of R-M-A-M-P and can act as a baseline evaluator as no stochas-
ticity is involved. Similarly to M-A-M we define a factor (0 < n < 1) and the
nodes in [(1 —7)D, (1 + n)D] are evaluated using the ANALYTICAL method.
The ones before the deadline area are in the REWARD area and the ones after
are in the penalty area. Although this evaluator was defined as a baseline eval-
uator for experimental reasons, it was found that it performs really well in the
cases where the deadline occurs rarely and a small analytical part is enough to
keep the error low.

5 A Variable Neighborhood Search Metaheuristic

We use Variable Neighborhood Search as a metaheuristic to compare it with
the seminal paper of OPSTS [3], where the VNS metaheuristic used only the
ANALYTICAL evaluator and here for the first time, we present its performance
when we incorporate other evaluators. VNS was first proposed by [8] and an
application to the orienteering problem can be found here [17]. The basic idea
is to try to escape local minima by changing search neighborhoods. The algo-
rithm has two phases the shaking phase and the local search phase. When it is
in the shaking phase, a given solution is perturbed and it is used for exploration
and in the local search phase, the solution from the shaking phase is improved
contributing to the exploitation of the search space. As a local search phase a
variable neighborhood descent (VND) is used. In the VND, a specific neighbor-
hood is searched until no improving solution can be found and then it proceeds
to do the same thing with every avilable neighborhood. The neighborhoods used
are the ones used in [3], first suggested by [4] and namely resequencing the route
using 1-shift, replacing a customer on the route with one not on the route, adding
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a customer on the route, deleting a customer from the route and the ruin and
recreate neighborhood from [16]. More specifically, the ruin and recreate heuris-
tic, removes L%J nodes where n is the number of nodes of the current tour and
k is the current iteration of VNS. We then add random nodes not previously on

the tour. For full implementation details one should consult [3].

6 Experimental Results

In this section, we study the performance of metaheuristics when they incor-
porate the proposed evaluators. The evaluators are tuned and then we observe
their effect on the metaheuristics and we compare the metaheuristics.

6.1 Dataset Generation

The Orienteering Problem with Stochastic Travel and Service Times occasionally
needs to be applied in problems that have potentially thousands of nodes, like the
selection of tourist destinations to visit in a Country over a long horizon [14] or
the production scheduling applications in manufacturing (for example the steel
rolling mill problem described in [1]). To test our methodology, we generated four
datasets with thousands of nodes. This also benefits our experimental conclu-
sions since smaller datasets tend to be trivial to solve, and the benefits of faster
evaluators are therefore less appreciable. We generated datasets of 1000, 1800,
2500 nodes as follows: we assume a square with a diagonal of 1000, 1800, 2500
units respectively, and nodes are placed uniformly in both coordinates. Ham-
ming distance is considered for baseline traveltimes, and random rewards from
1 to 100 are considered., penalties being 0.1 of the reward of each node. Given
the instance, different deadlines will be set for the experiments. The datasets are
made available to other interested researcher in the online addendum [10].

6.2 Experimental Design

In our previous work [11], we have presented ways to tune the evaluators in
isolation so that they have a small average error. In most datasets R-M-A-M-P
was able to perform the best under the error constraint, while in one dataset
where the deadline was not reached often, R-A-P performed the best. Addition-
ally, in an earlier paper [12] we had shown some evidence embedding the hybrid
evaluator MC-ANALYTICAL-MC in a metaheuristic approach could yield bet-
ter results than state-of-the-art evaluation approaches. In all our previous work,
the original datasets of 21, 32, 33, 64, 66 customers were used as presented in
the original OPSTS paper [3]. However, as discussed in Sect. 6.1, these small
datasets tend to hide the advantages of our methods, so in this paper, motivated
by real applications [1,14], we here extend the study to new larger datasets.

In these experiments, we try to answer several questions so that we inves-
tigate further the usefulness of the proposed objective function evaluators. The
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Table 1. Final parameter tunings - VNS metaheuristic.

Instance 1000 | 1000 | 1000 | 1000 | 1800 | 1800 | 1800 | 1800 | 2500 | 2500 | 2500 | 2500
Deadline 500 | 1000 | 1500 | 2000 | 500 | 1000 | 1500 | 2000 | 500 | 1000 | 1500 | 2000
Area Ratio| 0.8 /0.1 |0.1 |01 |08 |01 |0.1 (0.1 |08 |01 |01 |0.1
RP Ratio |09 (0.2 |02 |02 |09 |02 (02 |02 |09 |02 |02 |0.2

main investigation is about the evaluators performance and how different evalua-
tors with different configurations (area ratio and reward-penalty ratio) affect the
final metaheuristics solution found, as time progresses. To answer these questions
with a limited number of experiments we conducted full factorial experiments
with area ratio taking values of 0.1, 0.8, reward-penalty ratio values 0.2, 0.9
(where applicable), the objective function evaluator being one of ANALYTI-
CAL, MC, M-A-M, R-M-A-M-P, R-A-P, metaheuristics being one the Variable
Neighbourhood Search.

We executed the metaheuristic for 10 min and sample the value found every
10s. We run the different methods for the datasets with 1000, 1800, 2500, 4000
customers with deadlines set at 500, 1000, 1500 and 2000. For each run we
recorded the instance, the metaheuristic used, the objective function evaluator
used, the deadline, the area ratio used, the reward penalty ratio used, the run-
time, the number of evaluations and the best solution found. We also recorded
information specific to each metaheuristic such as which heuristics ran and which
one found better solutions. From this information we were able to analyze several
characteristics of the methods and answer several research questions.

All experiments have been carried out on a Quad-Core AMD Opteron 2350
processor running at 2.0 GHz with 32 GB of RAM. Only one core was used in
each run. The algorithms were coded in C++.

6.3 Parameters Tuning

The performance of the evaluators in the metaheuristics depends on the tuning of
their parameters. The effects of the parameters when the evaluators are tested in
isolation have been studied before in [11]. In this work we used a slightly different
method to tune the parameters. In order to see the effects of Area Ratio and
Reward-Penalty area ratio (RP ratio) and select the values for our application,
we embedded the evaluators in the metaheuristic and we run it for 30 times for
each evaluator, deadline and each area ratio and RP ratio considered. The full
results for this can be seen in the online addendum [10]. We used the values
emerging from this tuning campaign in the rest of the experiments presented in
this paper. The final tuning results are here summarized in Table 1 for ease of
consultation.
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6.4 Speed of the Evaluators Inside VNS

One of the important factors for finding good solutions is to be able to exam-
ine more solutions in a fixed runtime. Notice that in this section we deliber-
ately neglige approximation quality and we only concentrate on pure speed. A
complementary analysis, focusing on approximation quality will be presented in
Sect. 6.5.

In Tables 2 and 3 we can see pairwise t-tests for the number of evaluations for
runtimes of 10, 20, 30, 40 seconds for all evaluators for the VNS metaheuristic
for 1000 and 2500 nodes. The values in bold are p < 0.05 and it means that the
method in the row is statistically significantly faster (achieves more evaluations
at the same time).

We can observe that in all cases the proposed evaluators are faster than the
conventional ANALYTICAL evaluator and in most of them they are also signif-
icantly faster. Also, R-M-A-M-P is very competitive in speed, being significantly
faster than the others in most cases, being outperformed (in terms of pure speed)
only to R-A-P in some cases. However, speed is not the definitive factor, since
accuracy is also very important. As we will see, R-M-A-M-P tends to outperform
the other evaluators in most cases, despite not being always the fastest one, due
to its low error.

Table 2. Pairwise one-tailed t-tests p-values for all deadlines. The highlighted ones
mean that the method in the row achieves statistically significantly more evaluations
than the one in the column - 1000 nodes, VNS metaheuristic.

ANALYTICAL | MAM MC RAP
MAM 3.25E-62
MC 5.79E-03 1.00E4-00
RAP 1.26E-128 6.28E-22 | 2.34E-110
RMAMP | 0.00E+00 0.00E-+00 | 0.00E4-00 |3.03E-264

Table 3. Pairwise one-tailed t-tests p-values for all deadlines. The highlighted ones
mean that the method in the row achieves statistically significantly more evaluations
than the one in the column - 2500 nodes, VNS metaheuristic.

ANALYTICAL | MAM MC RAP
MAM 6.64E-05
MC 3.31E-01 1.00E+-00

RAP 2.00E-176 1.06E-171 | 6.63E-176
RMAMP | 4.77E-62 1.06E-49 |1.07E-60 |1.00E+00
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6.5 Quality of the Solutions Retrieved by the Evaluators
Inside VNS

In Fig.3 we can see the evolution of the objective function values of the best
solutions retrieved by the VNS metaheuristic for the dataset with 1000 nodes
over the course of 10min (deadline 2000). We can observe that the solution
quality when R-M-A-M-P is in use, is consistently better than that of any other
evaluator. The second better evaluator is M-A-M and the third better R-A-P.
We also observe that R-M-A-M-P, M-A-M and R-A-P continue to improve while
ANALYTICAL and MC soon reach a plateau (stagnation).

When VNS uses R-M-A-M-P, R-A-P and M-A-M, the quality of the best
solutions is not monotonically increasing. This is due to approximation errors:
in the charts we report the objective value of each solution evaluated with the
ANALYTICAL evaluator. Therefore, when an objective value appears to get
worse then a previous one, this indicates that the respective evaluator made an
approximation error of such a solution and (erroneously) accepted it as a better
solution. It is interesting to notice how such a phenomenon seems to improve
the performance of the VNS, introducing a behavior apparently useful to exit
local minima. For further results one can consult the online addendum [10]. The
results are however aligned with those presented.

Objectve Value Reached
.~

Funime(ms)

Fig. 3. Best objective function value vs Runtime, Deadline: 2000-1000 nodes, VNS
metaheuristic.

In Table4 we can see a pairwise one-sided t-test (the p-values) for the final
objective values for deadline 2000, reached by VNS for the datasets of 1800
nodes when using the respective evaluators. We consider something statistically
significantly better if p < 0.05. The values in bold mean that if we incorporate
in VNS the evaluator in the row we will get a significantly better objective value
than if we incorporate the evaluator in the column. Evaluators M-A-M and R-
M-A-M-P are significantly better than ANALYTICAL, and all evaluators are
significantly better than MC. Finally, R-M-A-M-P appears better than M-A-M,
although the significance threshold is not reached. Similar patterns — sometimes
showing an even stronger dominance by R-M-A-M-P — can be seen for all other
deadlines and datasets in the online addendum [10].
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To conclude, it appears that the proposed objective function evaluators have
great impact on non-trivial metaheuristics such as the VNS we consider, since
their characteristics and most notably speed and accuracy are useful to drive
the metaheuristic in different neighbourhoods, leading to an overall better explo-
ration of the search space.

Table 4. Pairwise one-tailed t-test for final objective value reached by each evaluator
for deadline 2000. Values p < 0.05 mean that a statistically significantly better objective
value is reached - 1800 nodes, VNS metaheuristic.

ANALYTICAL | MAM MC RAP
MAM 4.14E-04
MC 1.00E+-00 1.00E+4-00
RAP 1.62E-01 9.93E-01 |1.26E-09
RMAMP | 3.91E-04 4.93E-01 | 9.25E-14 | 6.62E-03

7 Conclusions

In this paper, we investigated sampling-based metaheuristics with hybrid objec-
tive function evaluators for the Orienteering Problem with Stochastic Travel
and Service Times. We saw that by using hybrid objective function evaluators
inside a Variable Neighbourhood Search metaheuristic, better solutions can be
obtained in a given amount of time. This is due mainly to two factors, namely
the dramatic increase of speed guaranteed by sampling-based objective function
evaluators, and a higher capability of the metaheuristic to explore the search
space, the latter factor being a side-effect of the use of approximated evaluators.
As a future work, it remains to show that similar results are achieved by the
proposed evaluators inside other metaheuristics.
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Abstract. With the advent of autonomous vehicles, the field of traffic
intersection management has changed. Most of the current methods for
intersection management use either stochastic methods for optimizing
single scheduling scenarios or deterministic algorithms to optimize para-
meters for intersection traffic lights. This paper proposes and explores
the application of multi-objective evolutionary algorithm (MOEA) to
manage a traffic intersection in real time. To achieve this goal, this work
implements an intersection manager (IM) that divides the continuous
problem into smaller discrete time steps. The vehicular behaviour in sin-
gle time steps is then optimized, considering several optimization objec-
tives with different goals in terms of overall performance.

Keywords: Evolutionary computation - Real time traffic management -
Multi-objective optimization * Intersection manager - Discrete time steps

1 Introduction

In 2008, citizens of the USA spent an average of 46 h a year per capita in con-
gested traffic, up from 16h in 1982 [5]. In the EU, the total cost of traffic con-
gestion was estimated at 1% of the total GDP in 2010 [6]. Considering such
scenarios, the main motivation behind intersection management is to reduce the
amount of time vehicles spent in traffic intersections as a way to ease traffic con-
gestion, mostly in urban areas. In addition, intersection management reduces
the total emissions of vehicles idling by or traversing an intersection.

Most of the current literature on intersection management are focused on
using either deterministic algorithms or stochastic algorithms. Intersection man-
agers (IMs) using deterministic methods for real time intersection management
of autonomous vehicles have shown to drastically improve traffic flow and con-
gestion over conventional traffic lights [2,11]. On the other side, evolutionary
and stochastic methods have shown promising results for optimal sequencing of
vehicles in single states [7,9]. This work proposes and investigates an IM based
on a hybrid of these two concepts.

This work also investigates the real time use of a multi-objective evolutionary
algorithm (MOEA) to manage traffic in an intersection. It looks at splitting
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the continuous problem of intersection management into smaller independent
scenarios which has never been attempted to date for real time intersection
management. Then it explores the application of MOEA to find solutions for each
scenario, optimizing several objectives. This paper also provides an insight into
whether or not splitting the continuous problem of intersection management into
smaller independent scenarios is a good approach to intersection management.

As mentioned earlier, one of the main goals of this paper is to look at the
effectiveness of real time usage of an MOEA given full control of the speeds of
all incoming vehicles. In order to fulfill the goals of this work, it is necessary to
implement an IM that will use an MOEA to measure vehicle speeds in accor-
dance with the given objectives. No simulator has been found that meets all
requirements of this work. Thus, we have implemented a modified version of the
AIM4 simulator [1].

To study the effect of splitting the large problem of organizing the vehicles
over time into smaller discrete time steps, we have introduced two time step
parameters: (i) tmqin that determines for how long each solution is deployed,
and (i%) tem that specifies how much extra time beyond ¢4, each solution is
evaluated for. To ensure a fair evaluation of the IM and to study the effects of
different time steps, the IM is tested with different values for those parameters.
The IM is also tested for specific scenarios, and for continuous operation with
different amounts of traffic. To compare the effectiveness of the IM in different
settings, four performance metrics are used: (¢) throughput, (i7) mean evacuation
time (MET), (i4i) total loss of kinetic energy, and (iv) the amount of collisions.

The goal of the IM itself is to optimize its performance in terms of the perfor-
mance metrics. There is no direct relation between the performance metrics and
what is being optimized for. Hence, we have optimized several distinct objec-
tives. Each objective contributes to improve the behaviour of the IM at a single
independent time step. This work does not target a complete replication of the
real world scenarios. Therefore, the simulator used to evaluate solutions will also
be used to simulate the real world. The vehicles are modelled as single entities
travelling along predefined paths, where the only variable parameter is a target
speed that the vehicle should accelerate/decelerate to. Vehicle collision and con-
trol after traversing through the intersection is beyond the scope of this work.
So are the interactions between multiple intersections.

The experimental results suggest that the proposed IM is able to efficiently
route vehicles through the intersection with an MET close to the measured opti-
mal value for low to medium amount of traffic. However, the proposed IM is
found to be sensitive to both its own internal parameters and the complexity
of the intersection states it has to solve. This paper also suggests the effects of
the most important parameters, and identifies the primary reasons for the occur-
rence of collisions at higher levels of traffic. The rest of this paper is organized as
follows. Section 2 explains the background and related works in intersection man-
agement. Section 3 outlines the functionality of the system. It also presents the
implementation details for the experiments. Section 4 provides the experimental
results and discusses the findings. Section 5 concludes the paper with suggestions
for future research.
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2 Background

The most common way of managing busy intersections, aside from explicit right
of way rules or roundabouts, is by traffic lights. Fixed time cycles are the simplest
method for traffic light operation. In 1981, a system called split cycle offset
optimization technique (SCOOT) [8] was introduced. SCOOT allows regular
traffic lights to adapt to incoming traffic with sensors along the road. While
SCOQT is an improvement over the normal timed cycles approach, it does not
take advantage of modern vehicle to vehicle (V2V) communications. It also relies
on intersection infrastructure to sense the locations of vehicles, even though new
vehicles may know their own location.

Autonomous vehicles introduce capabilities far beyond the capabilities of
human drivers. A very important feature of these new vehicles, in regards to the
problem of intersection management, is the capabilities of cars to sense their loca-
tion in the world and use sophisticated measures to plan their travel paths [5].
This allows the intersection controller much finer control over the specific vehi-
cles, opening up for more advanced methods of IM. Because autonomous vehicles
have such fine control over their own movements, newer autonomous intersec-
tion management (AIM) research [5,11,12] use an intersection organizing system
where cars have to travel along predefined trajectories. These trajectories tra-
verse the intersection from one source lane to the destination lane. Trajectories
may cross each others paths, which are referred as conflicting trajectories.

FCFS (based on the first-come first-served principle of the same name) is an
intersection control mechanism developed by the AIM project at the University
of Texas at Austin [5]. FCFS has been shown to significantly outperform traf-
fic lights, stop signs, and overpass — regulated intersections in terms of vehicle
delay [4,5]. The method proposed in this work is based on some of the ideas
introduced in AIM, most importantly the idea that the vehicles can simulate
their own behaviour based on parameters related to each vehicle, and having
vehicles travel along predefined paths.

Intersection management problem has been tackled in many different ways.
Recent methods often assume the driver to be autonomous [5,11,12], and allow
new and creative approaches that are otherwise impossible when the vehicles
are under human control. However, all the autonomous approaches are built
on ideas and results from research on human drivers, and therefore have to be
understood in that context. Wu et al. showed that vehicles passing an intersection
can be modelled as an ordering problem, and proposed a searching algorithm to
find the optimal order for vehicles approaching an intersection [10]. While this
approach can find the optimal ordering, the computational expense is too high.
Therefore, this approach is not suitable in a real-world scenario. Based on [10],
Yan et al. proposed a genetic searching approach to reduce the complexity of
the problem [12]. Tt is important to note that these approaches use only single
objective function, namely overall evacuation time. There is no consideration of
other important objectives. In this work, different optimization objectives, with
different goals in terms of overall performance, have been used at the same time.
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3 Methodology

3.1 System Overview

The goal of the work is to control the behaviour of autonomous vehicles in an
intersection by controlling the speed of each vehicle. In order to achieve this,
we have implemented a system with a central IM that communicates with each
vehicle. The speed of each vehicle is optimized based on the objectives specified
in Sect. 3.2. The system can be split into three main parts (Fig.1): (¢) the IM,
(#4) the Ewolutionary Processor (EP), and (iii) the simulator. In Fig. 1, grey
rounded squares signify entities, and yellow slanted rectangles are the informa-
tion shared among them.

Intersection
Manager

Winning Individual J I I I _

SED Solution speed SEE

l <-i: ........ (—.
Evolutionary| Real-world -
[ S2E ] [(Simulator)]

Objective
scores

:
e

Fig.1. A complete overview of the system Fig. 2. A visual representation
(Color figure online) of tsim, tmain, and tevaluate
(Color figure online)

Solution

The IM reads the current state of the physical intersection and passes that
to the EP, so this it can develop a speed vector v. In the context of the EP, each
v is an individual — a solution to the problem that it is trying to solve. It is
important to note that v is not a multi-dimensional vector specifying the speed
of a single vehicle, but rather an n-dimensional vector describing the target speed
of n vehicles. Since the vehicles travel along predefined trajectories, their speeds
can be described with one variable. A state consists of every piece of information
that is needed to recreate the current physical world, including vehicles and their
current speeds, in the simulator.

Using the MOEA, the EP evaluates the individuals by emulating them in
multiple instances of the simulator. Once the stopping condition of the MOEA is
met, a decision maker (DM) selects one of the available Pareto-optimal solutions,
before a speed vector is returned to the IM. The IM then sets the target speed of
each vehicle in the intersection in accordance with the solution. This determines
how fast vehicles should travel for the next time step.

We assume that the vehicles report perfect positions and speeds to the IM.
In other words, the IM’s internal representation of the intersection is a perfect
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representation of the real world. Thus, as long as the simulator used by the
EP perfectly simulates the real world, the resulting speed vector produces a
result identical to the one that is simulated in the EP. Since we have used the
same deterministic simulator for representing the real world and evaluating the
solutions, perfect reproduction between the modelled world and the real world
is guaranteed.

For managing the intersection, the IM is concerned with two time step sizes:
tmain and tgim. As mentioned earlier, t,,4;n is the lifetime of one solution in the
real world. Once the EP has decided on a solution, that solution is used for the
next tyqin seconds before the EP is ordered to come up with a new solution.
However, if the EP only validates the solution for ¢ (current time) + t,,4in, there
is no guarantee that the intersection will not end up in an wunsolvable state (a
state where a collision is unavoidable for the next ¢,,4in). In order to guarantee
that the IM never approves such an unsolvable state, the EP is designed to
evaluate the solutions for an extra amount of time. We term it as t4;,,. The total
amount of time that the EP evaluates each solution, tcyqiuate, 1S then given by:

tevaluate = tmain + tsim (1)

Figure 2 shows these time steps visually. As shown in this figure, tcpqiuate 18
the time taken by the cars to travel along both the solid blue line (¢,,4in) and
the dotted red line (s, ). Because the state of an intersection can be incredibly
complex, there is no simple way to calculate the minimum value for ¢, to keep
the system safe. Therefore, we explored different values for these time parameters
in the experiments.

3.2 MOEA Details

We used NSGA-IT [3] as the MOEA. The genotype is an array of the speed of
each vehicle (s;) in the intersection. It is equivalent to the speed vector v, and
can be represented as:

v =[$1,82,...,8n]; si € [0, speedlimit] (2)

The genotype is ordered so that new vehicles are appended on the right side;
vehicle ¢ + 1 spawned right after vehicle ;. The MOEA tries to optimize the
speed of each vehicle based on a given set of objective functions. The optimiza-
tion functions are (i) to maximize throughput in the inner intersection, (i) to
maximize the distance traveled for each vehicle, (ii7) to minimize total stoppage
time, and (iv) to minimize total kinetic energy lost. It is important to mention
that while these objectives are important in terms of performance, they are not
the final performance metrics by which the system is measured. The performance
metrics are discussed in Sect. 1.

During crossover, the tails of the parent genomes are switched from a random
index. This results in two new individuals based on both parents. For mutation,
each s; in the new individual (v) has a certain probability of mutating. If a
mutation occurs, a new speed is picked based on a random draw. For a random
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draw, a random number between —1 and speed limit +1 is generated and used
as the new speed. However, if the number is below 0, the new speed is set to 0.
If the number is above the speed limit, it is set to the speed limit.

3.3 Parameters

The system was tested multiple times with the spawn rate set to 0.5, t,,4:n and
tsim to 1.5s and given 25000 evaluations, with different values for Putation,
P.rossovers population size and the objective weightings («) in order to find
the appropriate values for these parameters. The values mentioned below were
selected as they were found not to cause collisions, and produced acceptable
values for MET and total kinetic energy lost.

For our experiments, the parameter values were set as follows. Population
size = 100, crossover probability = 0.9, mutation probability = 0.1, ¢,,4in = 1.5,
tsim = 1.5s, speed limit = 25ms~!, vehicle mass = 1000kg, % (the
amount of evaluations available per second of t,,4in) = 50,000, and o = 0.25
(same weight for all objectives).

3.4 Decision Maker (DM)

In order to automate the system, we have applied a simple decision maker (DM)
that picks up a preferable solution from the Pareto-set returned by the MOEA.
For this, the Pareto-set is first sorted based on the number of collisions. If the
number of collisions are equal, a secondary sorting is applied. For this, each
remaining objective score is multiplied by their corresponding weighting fac-
tor (o) and summed up. In a run where there is no collision, this function
priorities the objectives based on the weights provided to the IM.

4 Results and Discussion

Figure 3 presents the effects of the independent time segments on the overall
behaviour of the system. The goal of these experiments is to find the range for
tmain that gives the best performance with regards to the performance metrics,
focusing mainly on minimizing collisions in an intersection. These experiments
also suggest a reasonable t,,4;, value for the later experiments. Finding a rea-
sonable t,,4;n is important, because it allows less uncertainty when determining
reasons for different observed behaviours. The specific time steps values for the
experiments are shown in Table 1. The results are generated by running the IM 5
times for each scenario (a total of 75 runs per t;qin), and computing an average.

Figure 3a displays the average number of collisions per time step in the inter-
section. As can be seen in the figure, the average amount of collisions drops
around 0.5s, stays low until 2.0s and then rises slightly. When ¢,,4:, > 2.05,
the difference between averages is not significant. However, there is a clear trend
of collisions for small values of ¢,,4i,. Figure3b shows that MET is at its low-
est when t,,4:n = 2.0s. However, the difference is negligible from that of 1.5s
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Table 1. Time step values in seconds (each column represents the values used for one
configuration)

tmain 0.1/0.2/05/1.0/1.5/2.0/5.0 10.0|15.0
tsim 2.0/2.0/2.0(2.0/20/2.0/20 20| 2.0
tevaluate | 2.112.212.513.0/3.5/4.0 7.0{12.0|17.0

and 1.0s. The MET increases as t,qsn increases past 5.0s. Figure 3c shows how
varying t,,qin affects the total kinetic energy lost. The total kinetic energy lost
increases when the time step size decreases. This is again because the IM has
more control in lower time steps. The more often the IM can update the speed
for each vehicle, the higher the chance of applying breaks becomes.

To find the best combinations of ,,,4i, and tcyqiuate for an appropriate behav-
iour in the IM, we tested different values of ¢, coupled with the most promising
values for ¢,,,4in. The values for t¢g;,, are the same as mentioned in Table 1. The
values for teyaiuate are calculated using Eq. (1) by inserting the values of 0.2,
0.5s, 1.0s and 1.5 for t,qin- Each scenario was evaluated once for every con-
figuration of tg;y,, and t,,qin. Figure 4 presents the results, where each sub-figure
contains one of the performance metrics for four different t,,4;, values.

From Fig. 4a, it is clear that when t;,, remains low, the vehicles collide. This
is as expected, because the evaluation of the speed vector does not consider what
happens after t,,q;» has passed. As such the solutions chosen in each step create
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unsolvable states in the next step. For all ¢,,4;, values, MET increases slightly
after a certain point. The values before this point are not considered because
there is a lot of collisions. Based on MET, tg;,, should be as low as possible,
until collisions can be avoided.

The goal of the next experiment is to better understand the effect of divid-
ing the intersection management problem into smaller time steps based on the
amount of cars in the intersection. It is expected that the IM would perform
worse as the amount of cars increased. This should result in a higher MET and
loss of kinetic energy as the spawn rates increase. The rate at which vehicles
spawn is determined by the simulator parameter known as spawn rate. It is a
number between 0 and 1 that represents the probability that the spawn zone is
going to spawn a vehicle in one second in the real world simulator. This experi-
ment compares the performance metric scores of the IM for different spawn rates
(in an increment of 0.1). No scenarios are used in this experiment. Each simula-
tion was run for a total of 300s and did not terminate before the time ran out.
Each spawn rate was tested for five times. Following the earlier experiments, the
values for t,,qin, tsim, and teyaiuate Were set to 1.5s, 1.5s, and 3.0s, respectively.
The results are presented in Table 2.

Table 2. IM performance metrics for different levels of traffic

Spawn rate | Runs | MET (s) | Collisions | Collisions (%) | Throughput | Total kinetic
energy lost (J)
0.1 5 13.37 0.00 0.00 236.20 4539.93
0.2 ) 13.37 0.00 0.00 417.60 16923.33
0.3 5 13.44 0.00 0.00 578.60 54323.80
0.4 5 13.46 0.00 0.00 712.60 126729.28
0.5 5 13.64 0.00 0.00 820.40 343614.86
0.6 5 13.89 0.40 20.00 926.80 768865.80
0.7 5 14.17 0.80 20.00 1025.80 1641376.12
0.8 5 17.59 68.80 100.00 1042.60 4810951.97
0.9 5 25.08 189.20 100.00 943.00 9604215.88
1.0 5 28.08 204.00 100.00 943.60 11658489.02

Table 2 displays throughput — the total amount of cars that have evacuated
the intersection in 300s. MET, collisions, throughput, and total kinetic energy
lost are averages over the 5 runs. Collisions (%) is the percentage of the runs that
collide. From this table, it can be found that MET, throughput, and total kinetic
energy lost all increase as the spawn rate increases. The vehicles start to collide
when the spawn rate is above 0.6, as shown by collisions and collisions (%).
This is in line with the observations from earlier experiments where collisions
could only be observed in scenarios with high amounts of traffic. The measured
throughput for lower spawn rates is not very interesting, but simply shows that
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increasing the spawn rate does, in fact, increase the amount of vehicles that has
to be routed through the intersection in the given time. For higher spawn rates,
throughput stops increasing and goes slightly down. This occurs at the same
spawn rates that produces queuing and congestion in the inner intersection.

Next, we investigate effects of each objective on the overall performance of
the system. This is done by removing each objective from the evaluation in four
separate runs. For this experiment, the investigation in regards to MET and
total kinetic energy lost is constrained to spawn rates below 0.7, as they include
collisions. The results are presented based on performance metrics. Figure 5a
shows the relationship between the different objective configurations and MET.
In fact, it shows how MET is affected by removing each of the objectives in the
MOEA at different spawn rates. This figure has five trends. Among them, the
first four present the MET values when one of the objectives is not evaluated.
Similarly, Fig. 5b shows the effect on total kinetic energy lost by removing each
of the objectives in the MOEA at different spawn rates. This figure also has five
trends. Similarly, the first four show the total kinetic energy lost values when
one of the objectives is not evaluated. For both figures, the last trend shows the
default behaviour when all objectives are evaluated.
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Fig. 5. Relationship between different objective configurations and (a) MET, (b) total
kinetic energy

Figure 5a shows a clear trend: not optimizing for distance traveled produces a
significantly higher MET. Interestingly, ignoring distance traveled is also the one
that stands out when measuring the total kinetic energy lost (Fig. 5b). However,
removing the objective for minimizing this loss has an almost negligible effect,
even scoring slightly better for values above 0.3. From Fig. 5a and b, it is appar-
ent that maximizing the distance travelled in each time step strongly affects
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the overall performance of the IM. In fact, the IM performs considerably worse
when this objective is ignored. This effect is most noticeable at lower spawn rates.
No statistically significant results are found when comparing for collisions, nor
does the results show any deviation from the baseline when removing the tiny
throughput or starvation. Some small trends can be observed for the amount of
collisions and how often collisions occur, but no statistically significant relation-
ship can be established. This could be because no such relationship exists, or
because the results were counted over longer periods of continuous simulation.

In short, we can summarize the following observations from the experimental
results:

— tmain and tg, have strong influence on the performance of the IM. Small
values for both variables cause a large amount of collisions. In particular, a
small t4;,,, has the obvious drawback that the IM does not evaluate far enough
into the future to avoid collisions in the next time step.

— Experiments with different time step values suggest that there is no set of
values that performs best in all scenarios. Therefore, for the later usage of the
IM, one must find a compromise between the available objective scores.

— While solving one state at a time, we did not find any direct relation between
the objectives being optimized for and the performance metrics used to mea-
sure the behaviour of the system.

— The proposed system never suffers from single lane starvation which is an
usual problem of existing systems.

— Experiments with MET (Fig. 5a) and total kinetic energy lost (Fig.5b) show
that maximizing the distance traveled in each time step has a large effect on
the overall performance of the IM, and the IM performs considerably worse
when this objective is ignored.

— No significant changes were observed for tiny throughput and starvation. How-
ever, for collisions, negligible trends were observed. But no statistically signif-
icant relationship could be established.

— The objectives may conflict when the amount of vehicles in the intersection is
high, or the state is complex.

5 Conclusion

This work investigates the real time use of MOEA to manage traffic through
an intersection. For this, an IM has been implemented which is divided into two
logical parts. The first part controls the vehicles in the intersection by modulating
their speed. The other part analyzes a state of the intersection, and finds a
speed for each vehicle in the given state by using MOEA. The results show that
MOEA can be used in real time to control the intersection. It is also found
that the proposed IM is able to efficiently and safely route vehicles through the
intersection, with only small deviations from the measured optimal MET for
small to medium amounts of vehicles. However, when splitting the large and
continuous problem of intersection management into smaller time steps, the two
time variables (tnqin and gy ) have considerable impact on the performance of
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the IM. The experimental results also suggest that the complexity of each state
is one of the reasons why collisions occur in the current system. It would be
interesting to see how it behaves when efforts are made to reduce this complexity.
Reducing the amount of vehicles in the intersection by some external mechanism
could also be explored. Another possible exploratory point for future work would
be to implement other optimization objectives to avoid congestion by limiting
the amount of vehicles present in the inner intersection.
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Abstract. Carry value transformation (CVT) and Exclusive OR (XOR)
operations on two non-negative integers have been defined previously in
several articles. In this paper, the definition of CVT and XOR operations
are extended from non-negative integer to integer domain. Thereafter
various cases of integer pairs towards their convergence behaviour are
thoroughly discussed. Our analyses through the convergence behavior of
integer pairs are easily directed to capture the natural subtraction opera-
tion in this paradigm by representing negative integer in 2’s complement
form. The average time complexity of the addition/subtraction opera-
tion is seen to be highly competitive in any bulk computation in real
life scenario. In other words, in the event of bulk addition/subtraction
operation to be performed, the average time complexity is seen to be
highly efficient.

Keywords: CVT-XOR operations - Subtraction + Convergence behav-
iour + Complexity

1 Introduction

For modern digital computer, faster Arithmetic Logic Unit (ALU) circuit design
is essential where portable computers have become as small as the size of palm
limitation. This had been possible over the decades due to the revolution that
took place in the area of Very Large Scale Integration (VLSI) design.

Various circuits are designed for the purpose of arithmetic computation
towards some specific directions such as fast binary adder with conditional carry
generator [1], carry save adder [2], self-time carry look ahead adder [3], a span-
ning tree carry look-ahead adder [4], low voltage full adder [5], recursive mech-
anism on a parallel self-time adder [6], fast two’s complement VLSI adder [7]
etc. Further, Quantum dot Cellular Automata (QCA) which is the transistor
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less computational model and is expected to provide high density nanotech-
nology implementations of various Complementary Metal Oxide Semiconductor
(CMOS) circuits are found in [8]. Also some theoretical studies are done in [9]
for the arithmetic addition and subtraction functions of logarithmic number sys-
tem. But all the designed circuits are combinational in nature and complexity
is dependent on the use of number of logic gates and associated delays. Integral
Value Transformation (IVT) is designed in 2009 [10] in discrete field of mathe-
matics which operates on strings of any base. Also, Carry Value Transformation
(CVT) which is a special case of IVT and Exclusive OR (XOR) are the two most
important transformations operating on bits of strings, recently found many of
their applications [11-15]. CVT and XOR transformations have been observed to
provide addition of two positive integers for any base of number system [12,13].

For the large scale cellular automata (CA) experiments, Cellular Automata
Machines (CAMs) become very special compared to any kind of computing
machine [16]. The first version of CAM machine is CAM-6 which is produced
commercially 20years back and various CAMs are now available for all the
research communities. In CVT-XOR paradigm, CAM is used for the addition
of two non-negative integers where internal circuit is designed using AND and
XOR gates with carry bit shifting logic. It has been easily seen from the theory
of CVT-XOR convergence behavior that CVT-XOR, using CAMs can perform
better than any other circuit. This is because the CAM used here operates on
clock cycle only (without any gate delays) [14]. Along with this multi number
CVT-XOR theory is developed and proposed to offer a parallel model for multi
number addition using CAM which can be implemented for VLSI design [13]. As
hardware complexity for addition or subtraction is same, it is highly needed for
the extension of CVT-XOR operations over the integer domain including both
positive and negative integers. This is the main agenda of this paper.

The addition of two non-negative integers (Say X and Y) is exactly equal to
their CVT and XOR operations sum i.e. X+Y = CVT (X, Y) + XOR (X, Y).
And using CVT and XOR operations in recursive manner the maximum number
of steps to get CVT = 0 is n+1 where n = MAX (X, Y) number of bits in
binary [12]. So in CVT-XOR paradigm, we have to check/concentrate on CVT
part which is to be zero to get for both the addition or subtraction result on
XOR part. Therefore understanding the dynamics of integer pair with regards to
convergence behaviour is an important task in this regard. And the convergence
behavior of integer pair is interdependent on bits representing the integer pair.

For example (Fig.1), let there be a positive integer N = 14. There are 15
integer pairs as (X, Y) whose pair sum is 14 = (X+7Y). Now in this paradigm
we can easily visualize the nature-inspired tree data structure. If we draw the
CVT-XOR convergence tree [17] whose nodes are represented by integer pairs
where first part is CVT value and second part is XOR value and root is with
CVT = 0 and XOR = X +7Y. As can be seen from the following figure, among
the 15 integer pairs, seven integer pairs are ((10, 4), (12, 2), (4, 10), (8, 6), (14,
0), (6, 8), (2, 12)) which take one iteration to get CVT = 0 and similarly seven
integer pairs are ((7, 7)..., (1, 13)) which take two iterations to get CVT=0 and
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Fig. 1. Nature inspired tree data structure for the non-negative integer 14 and pairs
(whose sum is 14) are converging towards (0, 14).

for one integer pair (0, 14) is taking zero iteration. Clearly, it can be seen that
the integer 14 is with binary 4 bits and all the integer pairs involving 14 get at
least one 4 bits number except the pair (7, 7) which needs 3 bits. So we are able
to get sum on XOR part most of the cases in lesser number of iterations.

The paper is organized as follows: Sect.2 discusses the modified definition
of CVT and XOR operations. In Sect.3, various cases of CVT-XOR proper-
ties towards their convergence behaviour to capture the subtraction operation
are proposed. Section 4 deals with the complexity and performance analysis of
subtraction operation. Lastly, Sect.5 concludes the paper.

2 Modified Definition of CVT and XOR Operations
for Integer Domain

Let A and B are two integers and their signed binary representation be A =
asQp...a; and B = bgb,...b; respectively where as and by are the two sign bits in
Most Significant Bit (MSB) position. The CVT of A and B is as Absa, Aby,...a; A
b10 and XOR of A and B is as @ bsa, @ by,...a1 @ b1. It is to be noted that ith
column bits of two integers with ANDing operation is saved in (i + 1)th column
for CVT calculation with 0 padded in Least Significant Bit (LSB) position. In
this binary notation the negative integer is always represented in 2’s complement
form. Now three cases can happen for sign bits of two integers: (¢) if az = bs =
1, then CVT is negative and obviously XOR is positive, (i7) if sign bits are
complement to each other i.e. as = 1 and by = 0 or as = 0 and bs = 1, then
CVT is positive and XOR is negative and (i) if as; = bs = 0, then both the
CVT and XOR are positive.
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Illustration 1: An example is shown in Table1 taking one negative number
A = —6 (1010) and one positive number B =12 (1100) and one extra bit (MSB)
considering for sign bit. All the most significant bits are the sign bits respectively.
The CVT of above two numbers is +16 and XOR is —10. Therefore, with regards
to the additive property of CVT and XOR operations [12], here 12 — 6 =6 is equal
to 16 — 10 =6.

Table 1. CVT and XOR operations for one negative integer (—6) and one positive
integer (12).

Operation | Binary Decimal

CVT 0/1/0|0/0|0]| 16
1/1/0/1/0|—-6
Oj1/1/0/0 12

XOR 1/0/1/1]{0| =10

3 Convergence Behaviour of CVT and XOR Operations
for Various Cases of Integer Pairs

Previously in [12] for any two non-negative integers A and B, A + B =
CVT(A,B) + XOR(A,B) and maximum number of iterations leading to
CVT =0 or XOR =0 is n + 1 are proved where n is the number of significant
bits of bigger number. Here we are dealing with integer domain and observe
different cases of CVT and XOR operations targeted mainly for capturing sub-
traction operation. The convergence behavior of different cases of integer pairs
are shown in different figures where CVT and XOR values are considered as x
and y coordinates respectively. We start with any (CVT, XOR) integer pair as
initial quadrant in the figure and traversing into the next (CVT, XOR) inte-
ger pair after calculating and so on serially one after another until CVT value
becomes 0. Thus the final result of addition/subtraction can be found on the y
axis except the non-converging case of CVT-XOR operations.

3.1 Both the Integers A and B Are Positive
Various properties are already discussed and some of them are in the form of
important theorems [11-13].

3.2 Both the Integers A and B Are Negative

Lemma 1. CVT and XOR will be negative and positive respectively after the
first iteration, but from the second iteration onwards, CVT will always be positive
and XOR will always be negative.
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Proof: Let A = asay,...a; and B = bgb,...b; be the signed binary representation
where the MSB are a; and bs. As A and B are negative integers therefore as =
bs = 1. So CVT of two negative integers is negative and XOR is positive after
the first iteration. But from the second iteration onwards MSB is always 0 for
CVT and 1 for XOR operation, so XOR will always be negative and CVT will
always be positive and this would continue.

Ilustration 2: Convergence behavior of three (negative, negative) integer pairs
are shown in Fig. 2 using state transition diagram: (a)(—14,—14) — (—28,0) —
(0,—-28), (b)(—1,—-6) — (—12,5) — (8,—15) — (0,-7), and (c¢)(-3,-11) —
(—22,8) — (16,—30) — (0, —14). CVT patterns for all negative-negative integer
pairs (0, 0), (0, —1)...(=16, —16) are shown in Table2 where from —1 to —16
with regards to rows and columns, a beautiful pattern is conserved having exactly
same 1st, 3rd and 4th quadrants.

(—22,8) i
Ty 10
(~12,5) ;
(_2‘870) \ ; T

AN

2,46 810121416 18 2022 24 26 28 30 32
B

(16, —30)

Fig. 2. State transition diagram of three integer pairs: (a) (—14, —14), (b) (-1, —6),
and (c) (=3, —11).

Lemma 2. For any two negative integers A and B, |CVT(A, B)| > |CVT(A, A)|
where |A| > | B].

Proof: Let A = asa,...a; and B = bgb,...b; be the signed binary representation
where |A| > |B|. As MSB is 1 for both the integers, therefore MSB of both CVT
(A, B) and CVT (A, A) are 1. Hence the result can be seen very easily.

IMlustration 3: CVT(-3, —2)=CVT(101, 110)=1000 which is —8 and
CVT(-3, —3)=CVT(101, 101) = 1010 which is —6.

Lemma 3. |CVT(A, B)| > [MAX(|A]|,|B]) x 2.
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Table 2. CVT pattern for negative-negative integer pairs.

oj-1 |-2 |-3 |-4 |-5 |-6 |-7 |-8 |—-9 |—10|—11|—-12|—-13|—14 | —15| —16

0|0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
-1/0| -2 —4| —-6| —-8|—-10|—-12| —-14|—-16|—-18 | —20| —22| —24 | —26 | —28 | —30 | —32
-2|0| -4 —4| -8| —-8|—-12|—-12| —-16 | —16| —20| —20 | —24 | —24 | —28 | —28 | —32 | —32
-3/0| -6, —-8| —6| —8|—-14|—-16|—14| —16| —22| —24 | —22 | —24 | —30| —32| —30 | —32
-4/0| -8 —-8| —-8| —-8|—-16|—16| —16|—16|—24 | —24 | —-24| —24 | —32| —32| —32| —32
-5/0|—-10| —-12| —-14| —-16 | —10| —12 | —14 | —16 | —26 | —28 | =30 | —32 | —26 | —28 | —30 | —32
—-6/0|—-12| —-12| —-16| —-16 | —12| —12| —16 | —16 | —28 | —28 | —32 | —32 | —28 | —28 | —32 | —32
-7/0|—-14|—-16| —-14| —-16 | —14| —-16 | —14 | —16 | =30 | —32 | =30 | —32 | —30 | —32 | —30 | —32
-8|0|—-16|—-16 | —-16 | —16 | =16 | =16 | —16 | —16 | —32 | —32 | —32 | —32 | —32| —32| —32 | —32
—9|/0|—-18| —20| —22| —24 | —26 | —28 | —30 | —32| —18 | —20 | —22 | —24 | —26 | —28 | —30 | —32
—10|0| —-20| —20| —24 | —24 | —28 | —28| —32| —32 | —20 | —20 | —24 | —24 | —28 | —28 | —32 | —32
—11|0| —-22| —-24| —-22| —-24 | -30| —32| =30 | —32 | —22 | —24 | —22 | —24 | —30| —32 | =30 | —32
—12|0| —24 | —24 | —24| —-24| —-32| —32| —32| —32| —24 | —24 | —24| —24 | —32| —32 | —32 | —32
—13|0| —26| —28| —30| —32| —26| —28 | —30| —32 | —26 | —28 | —30 | —32 | —26 | —28 | —30 | —32
—14|0| —28| —28 | —32 | —32 | —28 | —28 | —32 | —32 | —28 | —28 | —32| —32 | —28 | —28 | —32 | —32
-15|0|-30|-32|-30|—-32|-30| —-32| -30|—-32|—-30| —-32|—-30| —-32| —30| —32| —30 | —32
-16|0|—-32|-32| -32|-32|-32| —-32| —-32| -32| —-32| —-32| —-32| —-32| —32| —32| —32| —32

Proof: CVT(A,A) = as A asan A ay...a1 A ay = asay...a10. The place val-
ues of CVT(a;,a;) is 2 times the place values of sign binary bits of A i.e.
CVT(A,A) = |2 x Al. Now CVT(A,B) > CVT(A,A) for any |Al > |B|
(Lemma 2). So |CVT(A, B)| > [MAX(|A|,|B]) x 2].

3.3 The Integer A is Negative and the Integer B is Positive
Property 1. CVT(A,B) <2 x B.

Examples: CVT(—1,11) =22, CVT(—4,11) =16 < 22, CVT(-7,2) =0 < 4.
When |A| > |B| i.e. the Magnitude of the Negative Integer is Bigger.

In this case CVT will always converge. For the proof, similar arguments can
be seen from [12].

Tlustration 4: Convergence behavior of two integer pairs (one negative and
another positive) are shown in Fig. 3 using state transition diagram: (a)(—17,
11) — (22,-28) — (8,—14) — (0,—6), (b)(—1,—6) — (—12,5) — (8, —15) —
(0, —7) and (¢)(=9,1) — (2,—10) — (4,—12) — (8, —16) — (0,—8). CVT pat-
terns for all negative-positive integer pairs (0, 0),(—1, 0)...(—16, 16) are shown in
Table 3. Here 2nd, 3rd and 4th quadrants are exactly same.

Lemma 4. If B = |A| — 1, then their CVT = 0 and XOR = —1.

Proof: The binary representation of A and B are complement to each other
when A is negative and B = |A| — 1. So their CVT becomes 0. As A+ B =
CVT(A,B) + XOR(A, B) and their CVT is 0, XOR = —1.

For e.g. Let A=—3 (10 1) and B=2 (0 1 0). We can observe that signed
binary representation of A and B are complement to each other. So clearly their
CVT will be 0 (0000) and XOR will be —1 (111).
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Table 3. CVT pattern for negative-positive integer pairs.

0/1/2/3/4|5 |6 |7 8 |9 |10 |11 |12 |13 |14 |15 |16

o o0/0/0/0/O}] OJ OO0 0O} 0, 0]O0OJ0]0]O0/0

-1/0/2/4/6/8/10 12 |14 |16 |18 |20 22 |24 |26 |28 |30 |32
-2/0/0/4/4/8| 8 12 |12 |16 |16 |20 20 |24 |24 |28 |28 |32
-3/0/2/0/2[8/10 | 8 |10 |16 |18 |16 18 |24 |26 |24 |26 |32
—410/0/0/08| 8| 8| 8|16 |16 |16 16 |24 |24 |24 |24 |32
—5/0/2/4/6/0] 2| 4| 6|16 |18 |20 22 |16 |18 |20 |22 |32
—-6/0/0/4/4/ 0/ 0| 4| 416 |16 |20 |20 16 |16 |20 20 |32
—-7/0/2/0/2/0| 2| 0| 2|16 |18 |16 18 |16 |18 |16 |18 |32
-8/0/0/0/0|0O| O] O| O |16 |16 |16 16 |16 |16 |16 |16 |32
-9/0/2/4/6/8/10 |12 |14 | 0| 2| 4 6| 8 |10 |12 |14 |32
—-10{0/0|4 /4|8 8|12 12 0| O 4| 4| 8| 8 12 |12 |32
-11/0/2/0|2|8|10 | 8 /10| O | 2| O] 2| 8|10 | 8 |10 |32
-12{0/0j0|0|8 8| 8 &8 0O, 0O, O O] 8] 8 8| 8|32
—-13|0/2/4/6|0| 2| 4 6 0 2 46| 0| 2 4| 6|32
—-14/0|0/4/4/0|{ O| 4| 4| 0] 0] 4 4/0| 0] 4| 4|32
-15{0/2/0(2|0| 2| 0 2,0 2,0 2]0] 2| 0] 2|32
-16|/0/0/0|0|O] O] O O OO O O0O] O] 0 O] 0]32

Lemma 5. XOR will never be 0.

Proof: Here A is negative and B is positive so their sign bits are 1 and 0
respectively and hence XOR (1, 0) = 1. Therefore, XOR will never be 0.
When |A| < |B] i.e. the Magnitude of the Negative Integer is Smaller.

Lemma 6. CVT will always increase and never converge to 0.

Proof: Let the signed binary representation of A = asa,...a; and B = bgb,,...b;.
As A is negative and B is positive, a; = 1 and b; = 0. So XOR(as,bs) = 1.
Here we are considering that |A] < |B|,so A+ B> 0= CVT + XOR >0
(A+ B = CVT(A,B) + XOR(A, B)). But XOR is negative, so CVT will be
positive which is greater than the XOR value. Therefore, CVT can never converge
to 0.

Ilustration 5: Convergence behavior of two integer pairs (positive integer magni-
tude is bigger) are shown in Fig. 4 using state transition diagram: (a)(17, —11) —
(34,-28) — (64,-58)... (b)(2,-1) — (4,-3) — (8,—-7) — (16,—15) —
(32,-31) — (64, —58)....

Lemma 7. XOR will never be 0.

Proof: Same as Lemma 5.
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(=17,11) 2

(=9, 1)@ 2 x

(c) (=9, 1).

—25

(64, —63

Fig. 4. State transition diagram of two integer pairs: (a) (17, —11) and (b) (2, —1).

When |A| = |B] i.e. the Magnitude of the Negative and Positive Inte-
ger is equal.

Lemma 8. CVT will never converge to 0.

Proof: We know that XOR is negative. Here |A| = |B|, s0 A+ B = 0 =
CVT + XOR = 0, but XOR is a negative integer, so CVT must be a positive
integer with magnitude = |XOR)|. Therefore CVT will never converge to 0.

Lemma 9. In the first iteration (A, B) will be (2, —2) when |A| = |B| is an
odd integer.
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Proof: For equal odd integers with opposite sign, their signed binary represen-
tation is complement to each other except their LSB. So their CVT is of the form
in binary 00...10 which is decimal 2 and XOR is of the form in binary 11...10
which is decimal —2.

It is to be noted that the convergence behaviour for |A| = |B| is same as
the previous case (Fig.4). In all the cases it may be noted that a straight line
is found starting with any random integer pair that signifies the same addi-
tion/subtraction result happening on the same straight line and having the final
destination on the y axis.

4 Performance Analysis and General Circuit Diagram
for CVT-XOR Operations

We have seen that the negative-negative integer pair on successive CVT-XOR
operations is converging to CVT = 0. Therefore, result of addition/subtraction is
stored in XOR part as in [14]. Similar is the case for negative-positive integer pair
where magnitude of negative integer is bigger (Sect. 3.3, when the magnitude of
negative integer is bigger), therefore expected result of addition/subtraction is
negative and is also converging; we are able to get the result from XOR part. On
the other hand, positive-negative integer pair where negative integer is smaller,
result of addition is positive (Sect. 3.3, when the magnitude of negative integer is
smaller). This is a case which is non-converging. The CVT part is increasing infi-
nitely keeping addition/subtraction result same, thereby increasing the number
of bits in binary to represent them. But in practical scenario, hardware register
slots (say width w) are fixed which can store finite number of bits for each integer
including the sign bit. Therefore, when CVT-XOR operations are performing we
have to concentrate only for fixed number of bits. Doing so we can ultimately
find that for both the cases CVT is converging and subtraction/addition result
can be found in XOR part. It has been seen that given an n bit integer, we have
to consider n + 1 bits by padding zeros in MSB position for the positive integer.
Here we are dealing with general form for all integers and negative integer is
represented in 2’s complement form, we have to deal with n + 2 bits includ-
ing sign bit for maximum of n bit integer in our paradigm. We have to pad at
least two extra bits 0’s in MSB for positive integer and 1’s in MSB for negative
integer. Below Table 4 shows two examples when |A| < |B| (Sect. 3.3, when the
magnitude of negative integer is smaller or equal to positive integer) for (14,
—11) and (2, —2) as initial pairs where CVT is not converging theoretically,
but in practical scenario by fixing the bit numbers it can be seen that CVT is
converging and XOR part is giving the expected result after maximum of n 4 1
iterations. Here we obtained the result for (14, —11) pair in 4th iteration and
for (2,—2) pair in 3rd iteration. Iteration numbers can vary depending on the
integer pairs and their binary representation.

Therefore, the time complexity in general for getting the CVT part having
all zeros and XOR part holding expected result is of the order of n i.e. O (n)
where maximum is n+1 and minimum is 1 is same as [14]. Figure5 shows the
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Table 4. Repetitive CVT and XOR operations for one 4 bits (14, —11) and one 2 bits
(2,—2) integer pairs to get their subtraction result.

Iteration | Operation | Bit position 654321 | Decimal | Bit position 4321 | Decimal
Iteration-0 | CVT 001110 14 0010 2
XOR 110101 —11 1110 -2
Iteration-1 | CVT 001000 8 0100 4
XOR 111011 -5 1100 —4
Iteration-2 | CVT 010000 16 1000 8
XOR 110011 —13 1000 -8
Iteration-3 | CVT 100000 32 0000 0
XOR 100011 —29 0000 0
Iteration-4 | CVT 000000 0
XOR 000011 3

previous CAM circuit from [14], with redrawing to get easy understanding how
CVT-XOR operation is performing in parallel and recursive manner. We have
seen that we have to consider extra two bits in general. So with 5 slots circuit
(Fig.5) which can performed the addition/subtraction result for 3 bit integer
pairs. Given any two integers, binary representation of one integer is stored in
CVT part right (LSB) to left (MSB) X1...X5 and another integer is stored in
XOR part right (LSB) to left (MSB) Y1...Y5. X1 is connected to voltage ground
zero. Therefore, once the operation is started from the second iteration onwards
X1 is always holding binary zero. Once all the positions of CVT part become
zeros, XOR part gives the expected result. If MSB of XOR part is binary 0

[_T‘s_l Lx—o_‘ ’_x__z_] |x2]_‘___|x1|

I NG

Fig. 5. Proposed CAM circuit diagram in simplified form for CVT-XOR operations in
general as discussed in [14]
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number is positive, and if MSB of XOR part is binary 1 number is negative, in
this case we have to take 2’s complement of the number.

Looking back the descriptions of CVT-XOR tree in the introduction, we do
the experiment from positive integer 8 to 14 and results of average height can
be seen from 2.7, 1.9, 1.72, 1.25, 2.07, 1.05, and 1.4 respectively. It may be
remarked that when the number of bits are increasing signifying the larger pairs
the average heights are significantly less. On repeating the experiments with
random selection up-to 10 bit integer pairs, we find that average iterations is
under 3.5 to reach the root of the CVT-XOR tree.

5 Conclusion

In this paper, we have proved that CVT-XOR paradigm is valid for all integers.
It has been seen that main property A + B = CVT(A,B) + XOR(A, B) is
also valid for all integers i.e. both for the negative and positive. We thoroughly
discussed the convergence behaviour of all types of integer pairs. Some of the
related important theorems are proved and shown for the integer pairs in different
cases. When initial integer pairs are taken from 1st and 3rd quadrant, CVT of
the pair converge to 0 after maximum of n + 1 steps; where n is the number
of significant bits required for representing bigger integer including sign bit. On
the other hand, when initial integer pairs are taken from 2nd and 4th quadrant,
their CVT converges to 0 as usual when final result becomes negative. But if
the final result becomes zero or positive, CVT goes on increasing keeping their
sum result invariant. But under practical scenario, it has been seen that their
summation result can be observed in the XOR register after w = n + 1 steps.
Thus this CVT-XOR paradigm is naturally amenable to VLSI circuit design for
faster arithmetic computation.

Acknowledgments. Authors would like to thank Dr. Sudhakar Sahoo (Institute
of Mathematics and Applications, Bhubaneswar-751029, India) for his valuable
suggestion.
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Abstract. On the basis of the literature about human sentence process-
ing we examined the parsing process from two aspects. With the help of
a sentence-completion experiment we show that there is a strong rela-
tionship between the entropy of the words in the sentence and the look-
ahead window of a two-phase sentence processing model. The result of
our experiment showed that people intend to close the verbal complex
and the noun phrase as soon as possible and our corpus-measurements
support that it happens in a trigram window.

Keywords: Natural language processing * Psycholinguistics + Entropy

1 Introduction

Natural language processing (NLP) is the task of handling human languages
with the aid of computers. Unfortunately, in complex tasks, such as machine
translation, computers are far behind the human alternative even though to
train a system, scientists use more text than one would see in a life. We think
that the difference in performance is based on the main principles of how the
two parsers or translators (machine and human) work.

Our parsing model, ANAGRAMMA [1,5] is a performance-based, psycholin-
guistically motivated system following the patterns of human language process-
ing as much as possible. The model utilizes a strictly left-to-right approach for
processing the input word by word imitating the language input.

In this paper we examine human sentence processing. We explore the first
phase of a two-phase sentence processing model, on one hand in production —
with a sentence-completion experiment based on entropy —, and on the other
hand in perception — with measurements on multiple corpora using a look-ahead
window.

As the theory of entropy is widely-used in other disciplines, its application
introduced in the paper in conjunction with the look-ahead window can be
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directly applied in other fields as well'. After a short theoretical background
we present our results from the experiment and the corpus measurements.

2 Background

2.1 Sausage Machine

The ANAGRAMMA system aims to model the human language processing based
on the Sausage Machine where the parsing process consists of two main phases.
The first phase is — as Frazier and Fodor [4] calls it — the Preliminary Phrase
Packager which assigns the lexical and phrasal nodes to groups of words within
the string input. In the second phase, these packaged phrases get their roles in
the sentence by adding non-terminal nodes, this phase is called the Sentence
Structure Supervisor.

Frazier and Fodor [4] set a window of roughly six words which is used in the
first phase of the sentence processing for preparing the packages for the second
phase. In Sect.4 we prove that for Hungarian a trigram window is enough due
to its agglutinative nature. As human parsers try to bind the arguments of the
verb as soon as possible [7], they sometimes fail and therefore need to backtrack.
The most extreme manifestations of reanalysis are garden path sentences as in
Example 1.

(1) The horse raced past the barn fell.

During the reading of these garden path sentences word by word we need to
backtrack which increases the time required to understand them. It is related to
Kimball’s principle of Fized Structure [7], which claims that ‘recalling a shunted
phrase out of memory to restructure it is costly’.

2.2 Entropy

Traditionally, entropy is a quantitative measure of the randomness of a system.
For example a brand new deck of cards has low entropy since it is ordered, and
a shuffled one has high entropy. Shannon and Weaver introduced entropy into
information theory [13,14]. Miller was trying to show that statistical approxi-
mations to English have a predictive value for sentence recognition [12].

According to Shannon and Weaver information is the measure of one’s free-
dom of choice when one selects a message [14]. Natural language that produces a
sequence of symbols (letters and phonemes) according to certain probabilities is
a stochastic process, and when the probabilities depend on the previous events
it is called a Markov chain.

! For example in music, because it has essential relationship with natural language.
Similarly to language, in music perceptually discrete events are structured into hier-
archical sequences according to syntactic principles [9]. According to this, music can
also be observed from this aspect.
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On the level of words this probabilistic behaviour of natural language works
as well: “...If we are concerned with English speech, and if the last symbol chosen
s ‘the’, then the probability that the next word be an article, or a verb form other
than a verbal, is very small. This probabilistic influence stretches over more than
two words, in fact. After the three words ‘in the event’ the probability for ‘that’ as
the next word is fairly high, and for ‘elephant’ as the next word is very low.’ [14].

Pléh et al. attempted to demonstrate the relevance of information theoretical
accounts to understanding word recognition and morphological processing in
Hungarian [2]. Their work is based on that of Antal [10,11] who used the entropy
notion developed by Shannon and Weaver [14] for equal probability outcomes
where entropy is a function of the number of possible outcomes. See these papers
for details on statistical complexity and entropy of language.

Morphological boundaries influence the degree of this monotonous decrease
and intuitively correspond to slowing declining (locally increasing entropy val-
ues). Figure 1 shows the entropy values over the graphemes of a morphologically
complex word?, the entropy value gradually decreases over the stem, and then
a suddenly increasing entropy indicates a mor