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Foreword

The volume put forward by Profs. Cao, Liu, Zhong, and Mi constitutes a collection
of papers presented at the 7th International Conference on Fuzzy Information and
Engineering (ICFIE’2014) and the Ist International Conference of Operations
Research and Management (ICORM’2014) held during November 7-11, 2014 in
Zhuhai, China.

The areas of Fuzzy Engineering and Fuzzy Information have been recently
enjoying a vivid growth with a significant progress and numerous and innovative
applications in a variety of areas. Theory, methodology, algorithms, and develop-
ment guidelines and reports on the best practices come hand in hand. Fuzzy sets
with their generalizations, conceptual enhancements, and new operations, trans-
formations, and processing mechanisms call for a systematic and coherent treatment
of the fundamentals to move them to the next level of sophistication. The
methodology of fuzzy sets has been the cornerstone of successful and efficient
algorithms. There are several visible directions including a hybridization of fuzzy
sets and other technologies of Soft Computing (Computational Intelligence). The
ensuing algorithms fully benefit from the prudently orchestrated synergy of the
fuzzy sets, neurocomputing and population-based optimization.

Operations Research and Management are undoubtedly those domains in which
the role of information granules and fuzzy sets, in particular, assume a central
position. In this regard, two tendencies are apparently visible. In the first one, we
witness augmenting the existing approaches, sometimes quite well established, by
bringing into the picture fuzzy sets. The intention is to endow the existing methods
with the new quality, new insights, and functionalities including raising support for
enhanced human-centricity of the ensuing systems. The second one, which becomes
more dominant nowadays, looks at the original treatment of the problem, its quite
substantial reformulation and engagement of fuzzy sets in a fully innovative,
non-traditional fashion not being biased of how the problem was handled so far.

This volume offers a truly diverse collection of contributions in which the
authors report on the recent accomplishments in the area. The papers can be split
into several general categories, which reflect upon the main research directions,
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namely Fuzzy Systems and Applications, Fuzzy Mathematics and Applications,
Fuzzy Information and Computing, and finally Operations Research and
Management and Applications.

The Editors deserve our congratulations on professionally assembling such a
diverse and representative collection of research studies covering a spectrum of
fundamental and applied facets of fuzzy set technology.

Prof. Witold Pedrycz
University of Alberta
Edmonton, Canada



Preface

This book is a monograph from submissions by the 7th International Conference on
Fuzzy Information and Engineering (ICFIE’2014) and the Ist International
Conference of Operations Research and Management (ICORM’2014) during
November 7-11, 2014 in Zhuhai, China. The monograph is published by Advances
in Intelligent and Soft Computing (AISC), Springer, ISSN: 1867-5662.

This year, we received more than 100 submissions. Each paper underwent a
rigorous review process. Only high-quality papers are included in the book.

The book, containing papers, is divided into five main parts:

In Part I, subjects on “Fuzzy Systems and Its Applications.”

In Part II, themes on “Fuzzy Mathematics and Its Applications.”

In Part III, topics discussed on “Fuzzy Information and Computer.”

In Part IV, ideas circling around “Operations Research and Management and Its
Applications.”

In Part V, dissertations on “Others.”

We appreciate the organizations sponsored by International Fuzzy Information
and Engineering Association (chips); Fuzzy Information and Engineering Branch of
ORSC; Operations Research Society of Guangdong Province; China Guangdong,
Hong Kong and Macao Operations Research Society and undertaken by Beijing
Normal University, Zhuhai, Guangdong, China.

Heartfelt thanks to the Guangdong Provincial Science and Technology
Association, Guangzhou University, China, for fund for co-sponsorships.

We are grateful to Mazandaran University, Iran; Fuzzy Information and
Engineering Branch of International Institute of General Systems Studies in China
(IIGSS-GB) for support.

We appreciate the Editorial Committee, reviewers, in particular, Prof. Witold
Pedrycz in Canada’s chief scientist intelligent computing. We are thankful to our
students: Postdoctoral: Xue-gang Zhou, Ph.D.: Xiao-peng Yang; Master: Ze-jian
Qin and Geng-tao Zhang, who have contributed a lot to the development of this
issue. We wish to express our heartfelt appreciation to all the authors and partici-
pants for their great contributions that made these conferences possible and all the

vii
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hard work worthwhile. Meanwhile, we are thankful to China Education and
Research Foundation; China Science and Education Publishing House, and China
Charity Press Publishing and its president Mr. Dong-cai Lai for sponsoring.

Finally, we thank the publisher, Springer, for publishing the AISC (Notes: Our
series of conference proceedings by Springer, like Advances in Soft Computing
(ASC), AISC, (ASC 40, ASC 54, AISC 62, AISC 78, AISC 82 and AISC 147,
included into EI and indexed by Thomson Reuters Conference Proceedings Citation
Index (ISTP); AISC 211 and AISC 254 awaiting EI index), and thank the supports
coming from international magazine Fuzzy Information and Engineering by
Elsevier, and Operations Research Management and Fuzzy Mathematics by China
Science and Education Press (Hong Kong).

Zhuhai, P.R. China Bing-Yuan Cao
December 2014 Zeng-Liang Liu
Yu-Bin Zhong

Hong-Hai Mi
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Part 1
Fuzzy Systems and Its Applications



Analytic Representation Theorem
of Fuzzy-Valued Function Based
on Methods of Fuzzy Structured Element

Si-Cong Guo, Ying Zhao and Hua-Dong Wang

Abstract The paper introduces the representation method of fuzzy structured ele-
ment in fuzzy-valued function analytics systematically. It includes the concept of
the fuzzy structured element, operations of fuzzy numbers, the analytic expression
of fuzzy-valued functions and its differential and integral, they are all based on the
fuzzy structured element. Theorems of the fuzzy structured element not only provide
methods for analytic representation of fuzzy analysis and operations, but also start a
new way for studying on the theory and application of fuzzy analysis.

Keywords Fuzzy structured element - Fuzzy numbers - Fuzzy-valued functions -
Analytic representation theorems + Differential and integral calculus

1 Introduction

The concept of fuzzy numbers and fuzzy-valued functions was firstly proposed by
Chang and Zadeh [3]. And then, followed by Dubois and Prade [4, 5] who defined
operations of fuzzy numbers and differential of fuzzy-valued functions by the exten-
sion principle [15]. Many papers have shown researches on fuzzy numbers and fuzzy-
valued functions, such as [1, 2, 6, 7, 13, 14, 17].
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4 S.-C. Guo et al.

From the point of uncertain mathematic developing system, it is natural and signif-
icant to make fuzzy analytics as an extension of interval analytics. Based on this idea,
the theoretical framework of fuzzy number calculations, fuzzy-valued functional dif-
ferential and its integral in the sense of Riemann have a strong background objectively
[4, 5]. Theories of interval analysis has been developed quite mature in past several
decades [16]. The connection between fuzzy analytics and interval analytics is the
expansion principle [12] in fuzzy mathematics. However, the expansion principle has
crisp arguments on its expressing, and then the operations and transformations of
fuzzy numbers and fuzzy-valued functions cannot be operated practically, these are
also barriers affecting the practical application of the fuzzy analysis method. In order
to solve problems in the real world effectively with fuzzy analytics like the classic
analytics, some breakthroughs should be made in the problems, such as the quick
expression of fuzzy number calculations, the analytic expressions of elementary
fuzzy-valued functions, differential and integral calculus of fuzzy-valued functions,
discriminate for convergence and summation of fuzzy series, analytic expressions of
fuzzy-valued functions, and so on.

2 Fuzzy Structured Element and Fuzzy Numbers

Convexity and normality are two constant properties of the fuzzy numbers [3, 4, 13].
Let A be a convex and normal fuzzy set on the real numbers field R, f is a monotonic
function on R, by the expansion principle of Zadeh, it is easy to know that the fuzzy
set f(A) must be convex and normal. This implies that convexity and normality are
inherent structured properties of the fuzzy numbers for monotonic transformations.
Therefore, we defined a fuzzy set on R with convexity and normality, and called it a
fuzzy structured element, then all fuzzy numbers can be obtained by the monotonic
transformations of the fuzzy structured element. This is the basic idea of proposing
and building the fuzzy structured element [8].

Definition 2.1 ([8]) Let E be a fuzzy set on R, E(x) is the membership function
of E,Vx € R, then, E is called a fuzzy structured element, if E(x) satisfies the
following properties:

(HDEO)=1,E(1+0)=E(—1—-0)=0;

(2) E(x) is a function of monotonic increasing and right continuous on [—1, 0],
monotonic decreasing and left continuous on (0, 1];

B)YEx)=0(—oc0o<x < —lorl <x < +00).

E is called a normal fuzzy structured element, if (1) Vx € (—1,1), E(x) > 0;
(2) E(x) is increasing and continuous on [—1, 0], strictly monotonic decreasing and
continuous on (0, 1].

E is called a symmetrical fuzzy structured element, if E(x) = E(—x).

Theorem 2.1 ([10]) Let E be any fuzzy structured element on R, and E (x) is itsAmem—
bership function, the function f(x) is continuous and monotonic on [—1, 1], f(x) is
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a set-valued function extensional from f(x). Then f (E) is a bounded closed fuzzy
number on R, and the membership function off(E) is E(f_1 (x)), where f_1 (x) is
a rotational symmetric function for x and y (If f (x) is a strictly monotonic function,
then f~'(x) is the inverse function of f(x)).

Theorem 2.2 ([10]) For a given normal fuzzy structured element E and any finite
fuzzy number A, there always exists a monotonic bounded function f on [—1, 1],
such that A = f(E).

Theorem 2.3 ([10]) Suppose that E is a fuzzy structured element on R, f is a
monotonic bounded function on [—1, 1], E is a given fuzzy structured element on
R, a fuzzy number A. If f is monotonic increasing, then the LA—level set of A is
a closed interval on R, and it can be denoted as Ay = [f(E)], = fle,, e)f] =
[f(e), f(e;r)]. If A = la, , a;r], B, = [b,, b;{] is monotonic decreasing, then

Ay =[f D), fe)].

Further contents about fuzzy structured element can be found in [9-11].

3 Same Sequential Transformations of Monotonic Functions
and Operations of Fuzzy Numbers

It is easy to know that if f(x) is a monotonic function on the symmetrical internal
[—1, 1], then both f(—x) and — f(x) are monotonic functions. If f(x) satisfies
f(x) >0or f(x) <0, then ﬁ is also a monotonic function, and it has opposite
monotonicity with f(—x). Therefore, we can obtain that — f (—x), ﬁ and — 7o
have same sequential monotonicity with f(—x) on [—1, 1]. Denote the family of all
functions which are bounded and have same monotonicity on [—1, 1] by D[—1, 1].
Give f € D[—1, 1], same sequential monotonic transformations of f are defined
as following:

0 f—>1(f)=0=/

i f o> nlf)="=—-f(=x,

v f = nlf)=f7= 1ty (f(=2) #0),

uif >l = 0= 55 (f@) £0).

Let A and B be two fuzzy numbers, ® be a binary operation on the real field. If
f(A, B) = A ® B, by the multivariate expansion principle, we have

A®@B= U AA(ALQ®By),Yrel0,1],
1€[0,1]

where A; = [a,_, a;r], B, =[b, , b;L] are the A—level sets of A and B, respectively.

Theorem 3.1 Suppose that E is a given symmetrical fuzzy structured element, g is a
monotonic and bounded function on [—1, 1], a fuzzy number B = g(E), then we have

(D =B =g"(E), )1/B=g"(E), (3)1/B=g""(E)=_g"(E).
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Proof Suppose that g is a monotonic increasing function, Ej = [e, , e;r] denotes
the A—level set of E.

(D Forall A € [0, 1], B, = [g(E)],. = [g(e,), g(e;f)], by the definition of inter-
val numbers, we have —B; = [g(—e, ), g(—e;r)]. Since E is a symmetrical fuzzy
structured element, then — B = [—g(—e, ), —g(—e;r)] =[g"(E)] = [g"(E)],.
By expansion principle, —B) = U AA(—B,) = AE{L& . AN[EH(E)], = g™ (E).

1€[0,1]
(2) For all A € [0,1], B, = [g(E)]x = [g(e;). g(e;r)], by the definition of
. 1y _ 1 __1 17 _ 1 1 _ oD _
interval numbers, (B)x B [g(ef)’ g(e;)] [g(_e;), g(—ef)] g% (E;)

(g™ (E)]y.
According to the expansion principle, the conclusion is proved.

(3) Since B% S [ % , then we have

g(=¢)" g(=¢3)

_1:{_ L1 }:[—1 — ]=g’3<En=[g”(E)]
B, g(—¢) g(-e) g(e) glef) .

Theorem 3.2 Let E be a symmetrical fuzzy structured element. Then
fle) ==, f(&) =—f"(e;)

Proof On the one hand, since f*' (x) = — f(—x), then f*(e; ) = —f(—e; ). On
the other hand, since E is a symmetrical fuzzy structured element, thene; = —e;, so
we obtain that f(e; ) = — ™! (e;f). Similarly, we can prove that f (e;f) =—f"(e).

Theorem 3.3 Suppose that E is a symmetrical fuzzy structured element, f, g €
D[—1, 1] (suppose that they are all monotonic increasing functions), fuzzy numbers
A = f(E) and B = g(E),Va € [0, 1], then f,(E) = [f(e}). f(€)], f™(x) are
same order monotonic transformations of f(x), then

(1) If A and B are any bounded fuzzy numbers, then A + B = (f + g)(E), with
the membership function wayp(x) = E((f + &)~ (x)).

(2) If A and B are any bounded fuzzy numbers, then A — B = (f + g™ )(E), with
the membership function wa—pg(x) = E((f +g™) ' (x)).

(3) If A and B are positive fuzzy numbers, then A - B = (f - g)(E), with the
membership function pa.p(x) = E((f - g)(x)).

(4) If A and B are negative fuzzy numbers, then A - B = (f* - g"™")(E), with the
membership function jia.p(x) = E((f™ - g") ™' (x)) = E(—(f - &) 7' (x)).

(5) If A is a negative fuzzy number, B is a positive fuzzy number, then A - B =
(f7-)"(E) = (—f - g")(E), with the membership function

pap() = E((f g™~ ().
(6) If A and B are positive fuzzy numbers, and O is not included in the support of

B, thatis 0 ¢ supp B, then A=~ B = A - % =f(E)-g2(E)=(f-g") (E), with
the membership function wa-p(x) = E((f - g2)~1(x)).
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(7) If A and B are negative fuzzy numbers, and 0 is not included in the support of
B, that is O ¢ supp B, then A+~ B = A - % = fU(E)-gR(E)=(f"-gB)(E),
with the membership function pa-pg(x) = E((f7 - g%)~1(x)).

(8) If A is a negative fuzzy number, B is a positive fuzzy number, and 0 is not
included in the support of B, then A - B = (—f - gB)(E), with the membership
function js+p(x) = E((—f - g™) 7" (x).

Proof Supposethat f, g € D[—1, 1] and they are all monotonic increasing functions,
for any & € [0, 1], we have [ f(E)], = [f(e;), f(e)]. [§(E). = [g(e;), g(ef)]-
(1) Let H = A + B, by the definition of interval numbers, [H], = [f(E)], +
[g(E)]x. Then A + B = (f + g) (E). Since f + g is a monotonic and bounded
function on [—1, 1], therefore, ua15(x) = E((f + &)~ ' (x)).
(2) Let H = A — B - y the definition of interval number, we have

[H1x = [f(E)]x — [§(E)]x = [f(e;) — g(e), f(e}) — gle;)].

Since E is a symmetrical fuzzy structured element, according to Theorem 3.1, we
obtain that

[H1, = [f(e;) —g(e)), f(e&) — gle;)]
=[f(e;)+g"(e;), f(e) + g7 (e = [f(E) + [g(E)x,

then A — B = (f + g™)(E). Since f + g is a monotonic and bounded function on
[—1, 1], therefore, ua—p(x) = E((f 4+ &™)~ (x)).

(3)Let H = A- B, since A and B are positive fuzzy numbers. Then 0 < f(e; ) <
f (ej:), 0<gle) =< g(e;'). By the definition of interval number, we have

Ay By = [f(E)l - [8(E) = [f(e) - gley), fle)) - gle]
=[(fo)(e;)), (f9)(eN] = [(f&)(E)x = [R(E)lx,

where h = f - g. Therefore, H = h(E) = (f - g)(E), from Theorem 2.1, we have
nH() = pap(x) =E - ) @]

(6) Since A and B are positive fuzzy numbers, f and g are monotonic increasing
functions, then 0 < f(e,) < f (e;r), 0 < gle) < g(e;r). By the definition of
interval number, we have

Ay + By = [f(E)), + [8(E)),
=[fe). fleH] +[ge). gle)]
| re) fehH || fle) feh
B [g(eb’ g(ef)} [g(e;)’ g(eb}
=[f(e5) g7 (e;). f(ef) - g™ ()]
= f(Ey) - g7 (Ew) = [(f - g™)(E)],

then A -~ B = (f - g®)(E), therefore, up-p(x) = E((f - gfz)_l(x)).
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The conclusions of (4), (5), (7) and (8) can be proved similarly.

In many situations of fuzzy number operations, the monotonic functions f and x
are easily to be founded. Therefore, through the way in Theorem 3.3, the choice of
the membership function after the fuzzy number operation can be made easily.

4 Order of Fuzzy Numbers

The property that the fuzzy number space and the family of standard monotonic
functions on [—1, 1]is homeomorphic implies that a bounded real fuzzy number and a
standard monotonic function B[ jjon[—1, 1]is one to one [9]. Therefore, the order
between fuzzy numbers is equivalent to the order relation between two corresponding
monotonic functions, which provides a way to simplify the calculation of ranking
fuzzy numbers. Denote the class of all bounded fuzzy numbers is denoted by N (R).

Definition 4.1 Let A, B € N(R), for any A € (0,11, Ay = [a; .a)], By =
[b;, b;‘] Ifa, > b,, a;' > b;‘, then we call A > B, and the order “>" is named
as the natural order of fuzzy numbers.

According to the express theorem of the fuzzy structured element, suppose that
E is any given fuzzy structured element, the fuzzy numbers A and B are denoted as
A= f(E), B=g(E),then A > B isequal to that f(x) > g(x) with respect to all
x € [—1, 1]. Since (N (R), >) is a partial order set, sometimes there exists the order
“>" between two fuzzy numbers A and B, sometimes there exists not. So the order
relation is not appropriate for ranking fuzzy numbers.

Definition 4.2 Let A € N(R),and A = f(E), we define

1
0(A) = / f(x)dx
-1

as the adjoint number of fuzzy number A.

Definition 4.3 Let A, B € N(R). If O(A) > O(B), then we define that A > B.
If O(A) = O(B), we define that A ~ B. (Similarly, we can define the dual order
“<”).If A > B and A ~ B, we define that A > B (Similarly, we can define the dual
order “<”).

For any A, B € N(R), one of the relations A > B, A < B and A ~ B must be
true, and it satisfies the properties as follows:

(OIfA>B,B>C,then A>C;

(2)If A > B, B > A,then A ~ B.Thatis, (N(R), >) is a full ordered set, and if
A > B, then A > B must be true. Conversely, it might not be true. We call the order
“>"" as structured order.
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5 Analytical Representations of Fuzzy-Valued Functions

A function is a mapping from a set of numbers onto another set of numbers, we define
the mapping from a set of real numbers onto a set of fuzzy numbers as a fuzzy-valued
function. Let X and Y be two real sets. D C X, f is a mapping from D to N(R).
For any x € D, there exists a unique fuzzy number y € N(R), such that y = f(x),
we call that f is a fuzzy-valued function on D.

Theorem 5.1 Suppose that E is a given normal fuzzy structured element on Y, f (x)
is any bounded fuzzy-valued function on X, there always exists a binary function
g(x,y), such that for any given x € X, g(x,y) is a monotonic bounded function
with respect to 'y on [—1, 1], and satisfies f(x) =g, E).

Proof Since E is a given normal fuzzy structured element, £ (x) is a bounded fuzzy-
valued function on X. According to the definition of fuzzy-valued functions, for all
given x € X, f(x) is a bounded and closed fuzzy number. From Theorem 2.3, for a
given x, there exists a monotonic and bounded function g, (y) with respect to y on
Y, such that f(x) = g, (E). Since x € X, then g, (E) is a function with respect to
x, we denote it as gy (E) = g(x, E) = g(x, ¥)|y=E.

Example 5.1 Let E be a given normal fuzzy structured element on Y. Then f](x) =
h(x) + p(x)E, where h(x) is a bounded function, p(x) > 0, fz(x) = h(x), where
h(x) # 0 are fuzzy-valued functions on X . From Theorem 2.2, the membership func-
tions of these fuzzy-valued functions can be denoted by fuzzy structured element E as

M7 (y):E(y_—h(x))u~ (y):E(llnL) VxeX,yeY
e pt) )R a h(x))’ R

6 The Ordered Cone and the Local Ordered Cone

Definition 6.1 Let K be areal cone, and 0 € K is its vertice. We define the relation
of sequenceasx >y < x—y € K. If Kgisasubsetof K, foranyx,y € Ko, x >y
or y > x, then K is called an ordered cone.

Considering a class of binary functions FD = {f(x, y)|x € R,y € [-1, 1]}. For
any x € X, f(x,y) is a monotonic function with respect to y on [—1, 1], f(x, y)
can be regarded as a family of monotonic functions with a parameter x, we define
that fx(y) = f(x,y),x € X.

Theorem 6.1 Suppose that f(y) = f(x,y) € FD, forany x € X, if there exists a
e—neighborhood of x denoted as (x —e, x + ¢), thenforanyx + Ax € (x—¢, x +¢€),
Fr+ax(¥) — fx () is still a monotonic function on [—1, 1], then for any —1 < y; <
v < 1, we have
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Ferax(2) = frrax 1) = fx(02) — fxOD

or
fx+Ax(y2) - fx+Ax(yl) = fx(y2) - fx(yl)-

Proof Suppose that g(y) = fr+ax(¥) — fx(y) is a monotonic increasing function
withrespect to y, then g(y1) < g(y2). Wehave friax(y1) — fx(y1) = fegar(2) —

Se(2), thatis fryax(y2) = fernx (V) = fr(y2) — frOD- I () = fegax(y) —
fx(y) is a monotonic increasing function with respect to y, then we can obtain

Similarly fx+Ax(y2) - fx+Ax (yl) = fx (yZ) - fx(yl)-

Theorem 6.2 Let f(y) = f(x,y) be a monotonic function with respect to 'y on
[—1, 1], which satisfies Theorem 6.1 and it is differentiable at the point x € X. Then
fily) = W is still monotonic with respect to 'y on [—1, 1].

Proof Suppose that g(v) = fy+ax(y) — fx () is a monotonic increasing function
with respect to y, according to Theorem 6.1, for any —1 < y; < y, < 1, we have

Serax (1) = fx (1) = ferax(y2) — fi(y2), then
. Srrax(yp) — fx (1)
m

f(x"l'Ax,)’l)_f(x,)’l) _ ll
Ax T A0 Ax

, L
fOn = Algo

< fim JraxO2) = fG2) L SO+ A ) — fx, 32)
im = lim

T Ax—0 Ax Ax—0 Ax

= fi ().

Therefore, for any —1 < y; < y» < 1, we have then f; (y) is a monotonic with
respect to y on [—1, 1]. If g(y) = fi+ax(y) — fx(y) is a monotonic decreasing
function with respect to y, we can prove it similarly.

Definition 6.2 Let f(x, y) be amonotonic function with respectto y on [—1, 1]. For
any x € D, there exists a ¢—neighborhood at x (the size of ¢ is related to x), composes
an ordered cone for variable x in this ¢ —neighborhood, then f(y) = f(x,y) is
called a local ordered cone on D.

7 General Forms of Fuzzy-Valued Functional Differential
and Riemann Integral

In fuzzy analytics, differential and integral of fuzzy valued functions have some
different definitions, the following two definitions are depending on the definition of
the derivative on interval-valued functions and the expansion principle, and they are
two of the most common definitions.

Definition 7.1 ([5]) Suppose that f (x) is a fuzzy-valued functionon D € X, f3(x)
= [fio)(x), f20)(x)] is the A—level set of f(x), the derivative of fj(x) is
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f):(x) = [min{fl’(k) (), le()\) ()}, max{f{()h)(x} le()h)(x)}]- If for any & € (0, 1],
fo.(x) is derivable, then fuzzy-valued function f(x) is derivable on D, and

)= U A fix).

re(0,1]

Definition 7.2 ([12]) Let f3(x) = [fi1(.,)(x), f20.)(x)] be the A—level set of f(x).
For any A € (0, 1], the interval-valued functions fj)(x) and f(;)(x) are integrable
on D (in the sense of Riemann), then f (x) is integrable on D, and

/f(x)dxz U AA/fA(x)dx,
1€(0,1]
D D

/fx(x)dx = [/ f1(x)(x)dxﬁ/f2(x)(X)dX].
D D D

The structure of the fuzzy-valued functional derivative in Definition 7.2 is meaningful
in the view that fuzzy-valued functions are generated from interval-valued functions.

Definition 7.3 This will give a definition of fuzzy-valued functions based on the
fuzzy structured element, and show that it is equal to Definition 7.2 and the derivative
of fuzzy-valued functions can be transformed to the derivative of general functions.

Definition 7.4 Suppose that f(x) = g(x, E) is a fuzzy-valued function generated
by the fuzzy structured element E, g(x, y) is a monotonic bounded function for y
on [—1, 1] and spans an ordered cone or a local ordered cone, then f(x) is derivable

df(x) _ 9g(x.y)
on D, and “dx = " ox |y:E.

The following theorem proves that the forms of derivative in both Definitions 7.2
and 7.3 are equivalent.

Theorem 7.1 A necessary and sufficient condition for that the fuzzy-valued function
f (x) = g(x, E) is derivable under the conditions of Definition 7.3 is that for any
A € (0, 1], the A—level set f;(x) off(x) is derivable on D, and its derivative f(x)
is a fuzzy-valued function on D.

Proof From Definition 7.3, Vyy € [—1, 1], if f(x) is derivable on D, then f(x)
is derivable with respect to x on D C X. Since for any A € (0, 1], fi(x) =
[g(x, e, ), gx, e;)], e, € [—1, 1],31' € [—1, 1]. We obtain that g(x, e, ) and
g(x, e;’) are derivable for x on D. That is, for any A € (0, 1], the A—level set fj (x)
of f (x) is derivable on Dj; On the contrary, for any A € (0, 1], the A—level set f; (x)
of f(x) is derivable on D, then f;(x) = [g(x, ¢, ), g(x, e;“)] is derivable for x on
D C X, thatis g(x, ¢, ) and g(x, e;“) are derivable for x on D. Since the membership
function E (x) of the fuzzy structured element E is monotonic on [—1, 0] and [0, 1],
when A is taken over (0, 1], e, is taken over [—1, 0], e;\" is taken over [0, 1], thus for
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any yo € [—1, 1], g(x, yo) is derivable for x on D C X, let y = yo, thatis g(x, y)
is derivable on [—1, 1] for x.

Since g(x, y) spans an ordered cone on X, then the derivative g’(x, y) is still a
monotonic bounded function for y on [—1, 1], this ensures the derivative g, E)=
% |y=k is also a fuzzy-valued function on D, the theorem is proved.

Theorem 7.2 Let f(x) = g(x, E) be a fuzzy-valued function generated by the fuzzy
structured element E. If g(x, y) is integrable with respect to x on D < X (in the
sense of Riemann), then the fuzzy-valued function f(x) is integrable on D, and

Jp F)dx = [}, g(x, y)dx | =k

Proof Suppose that g(x, y) is monotonic increasing function for y on [—1, 1], A €
0, 1], E;. = ey, ei‘], by Definition 7.2, we obtain that

/f(x)dx: U A/\/ Hx)dx= U )»/\[/ g(x,e;)dx,/g(x,e;f)dx].
D re(0,1] D re(0,1] D D

Let J(y) = f p &(x, y)dx. Since g(x, y) is monotonic increasing function with
respect to y on [—1, 1], then J(y) is a monotonic increasing function for y on
[—1, 1]. Thus
[pfdx= U AAlJ(E), J(E)]= U AAJ(E) =
1e(0,1] 1e(0,1]
=J(E) = [g(x, y)dx |y=E.
D

U AALE)
0,1]

re(0,1

8 Conclusions

This paper introduced the method of the fuzzy structured element, transformed the
operations and the order of fuzzy numbers into operations and sequence of functions
from B{_1 1) by the fuzzy structured element, respectively. We have obtained many
important theorems of fuzzy-valued functions, including the representation theorems
and general forms of differential and Riemann integral.
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Posynomial Geometric Programming
with Intuitionistic Fuzzy Coefficients

Zeinab Kheiri and Bing-yuan Cao

Abstract In this paper, we introduce posynomial geometric programming prob-
lems with intuitionistic fuzzy numbers, it is formulated in intuitionistic fuzzy envi-
ronment introducing intuitionistic fuzzinees in objective and constraint coefficients.
This paper presents an approach based on («, (3)-cuts of intuitionistic fuzzy numbers
to solve posynomial geometric programming problems with the data as triangular
and trapezoidal intuitionistic fuzzy numbers.

Keywords Intuitionistic fuzzy set - Triangular and trapezoidal intuitionistic fuzzy
numbers *+ Posynomial geometric programming * («, 3)-cuts and interval-valued
function

1 Introduction

Geometric programming (GP) provides a power tool for solving a variety of opti-
mization problems. In the real world, many applications of geometric programming
(GP) are engineering design problems in which some of the problem parameters
are estimating of actual values. Posynomial geometric programming many appli-
cation oriented mathematical models deal with real numbers. In our daily life, we
frequently deal with vague or imprecise information. The intuitionistic fuzzy sets
were first introduced by Atanassov [1] which is a generalization of the concept of
fuzzy set. The generalized concept of intuitionistic fuzzy number (IFN) introduced by
Grzegrorzewski [5] in 2003 receives high attention and different definitions of IFNs
have been proposed. Wang et al. [14] gave the definition of intuitionistic trapezoidal
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fuzzy number and interval intuitionistic trapezoidal fuzzy number. Recent years have
witnessed a growing interest in the study of decision making problems with intuition-
istic fuzzy sets/numbers, see, [7, 9, 15]. The approaches to modeling uncertainty of
linear programming by the intuitionistic fuzzy methodology are also described in [4,
10]. Dubey and Mehra [4] solved linear programming with triangular intuitionistic
fuzzy numbers in which triangular intuitionistic fuzzy numbers are converted to crisp
set and solved. In this paper, we consider Posynomial Geometric Programming with
intuitionistic fuzzy coefficient, and by using («, 3)-cuts, the intuitionistic posyno-
mial geometric programming transformed into interval optimization problem. This
interval optimization problems by parametric functional form of an interval number
reduce to crisp Posynomial Geometric Programming and then solve the problem by
dual problem of the Geometric Programming. This paper is organized as follows:
Sect.2 the concepts of triangular, trapezoidal intuitionistic fuzzy numbers and cut
sets as well as arithmetical operations are introduced. In Sect.3 a preliminary of
Geometric Programming is presented. Formulation of intuitionistic fuzzy Posyno-
mial Geometric Programming (IFPGP) with intuitionistic fuzzy coefficients and the
conversion of IFPGP into classical posynomial geometric programming have been
done in Sect. 4. Numerical examples and a comparison analysis are given in Sect. 5.
The paper is concluded in Sect. 6.

2 Preliminaries

We quote several different definitions of triangular and trapezoidal intuitionistic fuzzy
numbers.

Definition 1 ([1]) An intuitionistic fuzzy set (IFS) Al'in X is given by
Al = {(x, i (0), v (0) 1 x € X1,

where the functions 3, (x) : X — [0, 1]and v, (x) : X — [0, 1], with the condition
0 < pz (x) + v3 (x) < 1, define respectively, the degree of membership and degree
of non-membership of the element x € X to the set A’ which is a subset of X. For
each Al in X , we can compute the intuitionistic index of the element in x to the set
A!, which is defined as follows:

WA,(X) =1- MAI(X) - VAl(x)a

where 73, (x) is also called a hesitancy degree of x to Al itis obvious that x € X ,0<
Ta1 () <L

Definition 2 An intuitionistic fuzzy subset A’ = {(x, (%), v3(x)) 1 x € R} of the real
line is called an intuitionistic fuzzy number (IFN) if:

(i) A is IF-normal, if there exist at least two points xo, x; € X such that p13, (xp) = 1,
and v3, (x1) = 0, it is easily seen that given intuitionistic fuzzy set Al is TF-normal if
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there is at least one point that surely belongs to A and at least one point which does
not belong to A’,

(i) Alis IF-convex, an Intuitionistic Fuzzy Set A’ = {(x, par (), v (0) @ x € R} of the
real line is called IF-convex, if Vx;, x, € R,V € [0, 1]

pa Axp + (1 = Nxp) = minf{pg (x1), pz(x2)},
v (xr + (1 — Mxa) < max{vy (x1), vi(x2)},

Thus A is IF convex if its membership function is fuzzy convex and its non member-
ship function is fuzzy concave,

(iii) Hir (x) is upper semicontinuous and v3 (x) is lower semicontinuous,

(iv) AT = {(x € R}|vz (x) < 1} is bounded.

Definition 3 ([13]) A generalized triangular intuitionistic fuzzy number (GTIFN)
a = ((a, Ly, ryswa), (a, I, 1y, v,)) is a special intuitionistic fuzzy set on a real
number set R, whose membership function and non-membership function are defined

as follows

x—a+l
- We 4=l <x=a,
( ) Wa, X =a,
Hal (X)) = a+r,—x
Y, Wa  a=x=atry,
0, otherwise.

(@a—x)+v,(x—a+ly)
L, ’

Vq, X =a,

G—a)tv,(atr,—x)
Ty ?

1, otherwise,

a—1, <x<a,

Vg (x) =
¢ a<x<a+r,

where [, r,, and [,, r, are called the spreads of membership and non-membership
functions, respectively, and a is called mean value. w, and v, represent the maximum
degree of membership and minimum degree of non-membership, respectively, such
that they satisfy the conditions 0 < w, < 1,0 <v, <land0 < w, +v, < 1.

If a — 1, > 0, then generalized triangular intuitionistic fuzzy number (GTIFN)
a' is called positive GTIFN and if a + r, < 0 is called negative GTIFN.

When w, = 1,v, = 0 is called normal intuitionistic fuzzy number, namely
traditional fuzzy number.

Definition 4 An intuitionistic fuzzy number @’ = {((a,, az, Vius Tus Wa), (@r, az, Yo,
Ty, Ug)) 18 said to be a generalized trapezoidal intuitionistic fuzzy number (GTrIFN)
if its membership and non-membership functions, are respectively, given by
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X—aity,
T
Wa, ar =x = ap,
Hat (x) = ar+7,—Xx

Wa, al_’}/ufxfaly

7, War @ <x=a+T,

0, otherwise.
(@ —x)+v,(x—a1 +v,)

v

Uq, ap =x < a,

9 al_'YI/Sxfala

Vat (%) = 1 maptvataztr,—)
Ty ’

1, otherwise,

a) <x=<a+ T,

where a; < az, Yy, 7 = 0.y, 74, and 7, 7, are called the spreads of membership
and non-membership functions, respectively, such that v, < «, and 7, < 7.

w, and v, represent the maximum degree of membership and minimum degree
of non-membership, respectively, satisfying 0 < w, < 1,0 < v, < 1 and
0 < w,+v, <1. Whenw, = 1,v, = 0 is called normal intuitionistic fuzzy
number, namely traditional fuzzy number. Generally, there is (a1, a2, v, 7)) =
(ay, ar, 7y, T,) intuitionistic trapezoidal fuzzy number a', here, denoted as &' =
((a1, az, Yy, Tu); Wa, Vq). When a; = a, the intuitionistic trapezoidal fuzzy number
becomes intuitionistic triangular fuzzy number. A generalized trapezoidal intuitionis-
tic fuzzy number is called positive if
a— " = 0.

Definition 5 ([8]) Scalar multiplication:
O Ifd = ((a, Ly, Yy wa), (a, I, 7y, vg)) is a GTIFN, then

Kol — ((ka, ki, kry,, wa), (ka, kL, kr,, v,)), for k >0,
C T (ka, —kry, —ky w0, (ka, —kr,, =KL, v0)),  for k <0,

(i) If &' = (a1, a2, Yy Ty» wa), (a1, @2, Yo, T, U4)) be GTIIFN, then

kil — ((kay, kaz, kv, kT, wa), (kay, kaz, ko, k7, va)), for k>0,
| {Ckay, kag, —kTy, =k, wa), (kay, kay, —kTy,, =k, va)),  for k <O.

Definition 6 A (o, 3)-cut set of GTIFN &/ = ((a, L1y, wa), (a, 1, 1y, vq)) is
defined as
al =1 pae > o, vax) < B},

where 0 < o < w,, v, < B < 1.
A a-cut set of GTIFN &' is a crisp subset of R, which is defined as

Iy

A o
ao = lap(a), ag(@)] = [(a = 1,) + o (a+r)— 1.

a w(l
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According to Definitions 3 and 7, by using membership function, p;(x) > a, we
have

- l l
mwaza_)xZ(a_lu)'F#a’
Ly Wq
and
T s as s (atr)— 22,
ry Wa
we gain
l,« r,Q
lar (o), ag(e)] = [(a — 1) + =, (a+r,) — —1].
Wy Wy
Similarly a 3-cut of GTIFN &' is defined as
A (1 _ﬁ)lv (l _/B)rl/
ag =lar(B),ar(®] =@ —1,) + ——— (a+r) - —————1
1-— Vg 1- Va

Definition 7 The (o, )-cut set of GTrIFN &’ = ((a1, a», Vis Tus Wa), (@r, az, Vo,
Ty, Uy)) 1s defined as usually, by

s =1 a0 = o, va(x) < B),

where 0 < a <wg v, <pB < 1.
A a-cut set of GTrIFN & is a crisp subset of R, which is defined as

oM’ Tuo

o = lag (@), ag(@)] = [(@1 —v,) + o (a2 + 1) — " I
Similarly a 3-cut of GTrIFN a is defined as
A~ 1 - v 1- v
ag = lar(B), ar(B)] = [(a1 — ) + % (a2 + 1) — %]-

Theorem 1 ([8]) Let @' be any GTIFN or GTrIFN. For any o € [0, w,] and 3 €
[va, 1], where O < o+ 3 < 1 the following equality is valid:

a5 =ao Nag. (1)
Proof See [1].

According Theorem 1 and definition of the intersection between a, and ag, we
have following result
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do,p = lar, agl, 2
where
ar, = max{ar (@), ar(B)}, 3)
and
ag = min{ag(a), ar(3)}. “)

Theorem 2 ([4]) For each a > 0, the exponential function f (x) = a*, is continuous.

Note 1: Multiplication of two continuous functions is continuous. Ishihashi and
Tanaka [6] defined three definitions to rank intervals. In this paper, according to our
approach, we just introduce their definition for order relation is determined by left
and right limits of an interval.

Definition 8 Let A = [a;, ar] and B = [b;, bg] are two closed intervals, then order
relation between two closed intervals as

A<B, if a, <b; and agr < bg. )

Definition 9 ([10]) (Interval-valued function) Let @ > 0, b > 0 and consider the
interval [a, b]. From a mathematical point of view, any real number can be represented
on a line. Similarly, we can represent an interval by a function. If the interval is of
the form [a, b], the interval-valued function is taken as

h(p) = a"=Pb” for p € [0, 1]. (6)

The choice of the parameter p reflects some attitude on the part of the decision maker.

Lemma 1 For given [a,b],a > 0,b > 0, then h(p) = a'"=Pb’ for p € [0, 1] is a
strictly monotone increasing continuous function.

Proof According to Theorem 2 and Note 1, /(p) is continuous.
Since 0 < p < 1, then

d(h(p))
dp =pl— P)W =

0,

then h(p) is monotone increasing and the proof is complete.

Lemma 2 Let A = [ag, ag] and B = [by, br] are two closed intervals, if A < B
then for p € [0, 1]
ha(p) < hg(p).
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Proof From Definition 8, a; < by, and ap < bg, since p € [0, 1], we obtain two
following inequalities

a " <", ™
ag < bp. ®)

Then we have ag_")ag < bg_”)bf?, hence, h4(p) < hg(p).

3 Posynomial Geometric Programming

The general primal problem of posynomial geometric programming (PGP) [2, 12]
is to

min  go(x)
st gix) <1,(1 <i<p), 9
x>0,

where the functions g;, 0 < i < p are posynomials, i.e.,
Ji
gi0) =D eIl "1 <k <J1<i<p 1<I<m). (10)
k=1

The exponents vy, are arbitrary real numbers, the coefficients c; are assumed to be
positive constants and the decision variables x = (xi, ..., x,)” € R" are required to
be strictly positive. In trade-off analysis we vary the constraints and see the effect
on the optimal value of the problem. Starting from the geometric programming (1)
that is a standard PGP, we form a perturbed PGP [12], by replacing the number one
with parameter b; which are all positive constants, on the right-hands side of each
constraint.

min  go(x)
st gix) < b, (1 <i<p), (11
x> 0.

When b; = 1, this reduces to the standard PGP, Eq. (9), otherwise, the constraints
need some amendment to be standard PGP, Eq. (9). To solve the standard PGP can use
the dual problem of the PGP [12]. The corresponding posynomial GP dual problem
is to
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Cok ) Wok J) ik Ai \ Wik
maxd(w) = [T (o)™ [T T (0™
s.t. )‘i = Zi":lwik’
Ao =1, (12)

S S wwa =0 1 <I<m,
wig >0 0<i<p, 1<k<=<J,

The quantity J — (m + 1) is termed a degree of difficulty in geometric programming.
In the case of a constrained geometric programming problem, J denotes the total
number of terms in all the posynomials and m represents the number of primal
variables. The posynomial function contains Jy terms in the objective function and
Jy, terms in the inequality constrains where J = Jo +J; + -+ - 4+ J,.

4 Posynomial Geometric Programming with Intuitionistic
Fuzzy Coefficient

In this section, Posynomial Geometric Programming with intuitionistic fuzzy coeffi-
cient and its solution producer are described. Let Z{k, (0 <i<p)and bf ,(1<i<p)
denote the intuitionistic fuzzy number that can be GTrIFN, GTIFN or STrIFN. The
posynomial geometric programming problem with intuitionistic fuzzy number coef-
ficients is of the following form:

min - Go(x) = 0, E T ™
st Gix) = DL g < Bl (1 < i < p), (13)

x>0,

by using (a, B)-cut of the intuitionistic fuzzy coefficients and parameter b; and
according to Eq. (1), the model is reduced to

. J B
min Zkozl [CLOk ’ cRok]leilxlmk’

st S [erys er T )M < [by, by, (1 < i < p), (14)
x>0,
where
e, = max{er, (@), e, (D)}, (0 < i < p), (15)
cr, = min{cg, (@), cr, (D)}, (0 < i < p). (16)
by, = max{bz,(e). by, (D)}, (1 < i < p), 17

bg, = min{bg, (), b, (D)}, (1 =i < p). (18)
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In model (14), we denote go(x) = Zi":l [CLos CRo ™ X (x), and

Ji

gi(x) = Z[CLW cry T )™
k=1

The model (14) is the posynomial geometric programming problem with interval
coefficients. This model (14) can be transformed into the following parametric form:

min  go(x; p) = 340 (o) (ery )P TN 2]
st it p) = 2 (e ) VP (ery )P I M < (b)) (br)P, (L <i<p),  (19)
x> 0.

The following theorem shows that model (14) can be transformed to a parametric
posynomial geometric programming that is model (19).

Theorem 3 The interval posynomial geometric programming problem

. 7 ,
min Zkozl [cLow CROk]Hlnilx?Ok’
Ji " x™ < b, . b 1<i< (20)
s.t. Zk:l[cLik’ CR,»,(] l=1‘xl = [ L;» Ri]v ( =1 _P),
x>0,

is equivalent to following parametric posynomial geometric programming

. J _
min  go(x; p) = sz:1 (CLOk)(l 2 (CROk)pnlnilx;mkl

Ji - ik - .
st gi(x; p) = Dy (e ) VTP (er )P XM < (b)) TP (br)P, (1 < i < p),
x> 0.

2L

Proof Let Q1 and Q; be the sets of all feasible solutions to (20) and (21), respectively.
Then x € Q, if and only if:

[cLy, cry M x™ < [by,, bR, (22)
k=1

Then, for any k, we take dy € [cy, ., cr,]1and g € [by,, bg,], problem (22) is substituted
by the following crisp problem:

Ji
> ddI " < q. (23)
k=1

From Definition 9, the interval-valued functions of C = [cy,, cg, ] and B = [by,, bg,]
for any fixed i, are obtained respectively as
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he(p) = cp, g, for p € 10,11,
hg(p) = b(L{__p)bZi for p €0, 1].

According to Lemma 1, ¢ (p) and hg(p) are strictly monotone increasing continuous

functions. We obtaindy € h¢(p) and g € hg,thenfor p € [0, 1], problem (23) reduces
to

Ji

(1-p) i (1—p)
D e M < b by 24)
k=1

Then x € Q,, hence Q1 = 05.
Now we suppose xop = (Xo1, ..., Xo,)” to be an optimal feasible solution to (20),
then for all x € Q;, we have:

go(x) = go(xo)

J[) -IO
m Yokl m Yokl
< 2 [CLow CROk]H]=l‘xl = 2 [cLow CROk]Hl=1'xol
k=1 k=1

We take

Pk € [CLys CRy]
for any k, then above problemes turn to
.]() J()
Z@knzr':llx;m = Z@knlnllxg})k[' (25)
k=1

k=1

From Definition 9, the interval-valued function of D = [cy,,, cg,, ], is obtained

hp(p) = c(Lt;p)cZUk for p € [0,1].

Then ¢y € hp(p), problem (25) reduces to

JU -]()

(1=p) p m Yokl (I1=p) p m okl
E Clo, cROklelxl > E Cro, CROkHl=lxol . (26)
k=1 k=1

We conclude that xj is an optimal feasible solution to (21).

Problem (19) called perturbed PGP, that the constraints need some amendment to
be standard PGP, Eq. (6). We turn the inner program of model (19) to the following
standard posynomial geometric program form:



Posynomial Geometric Programming with Intuitionistic Fuzzy Coefficients 25

. Ji _
min  go(x; p) = Dy, (cro) 7 (cry )P I ]

. (I=p) (
(1) (cry))”

s.t. gi(x; p) = Zi':lmnﬁlx?'” <L, (0<i<p), 27)
x>0,

We drive standard posynomial geometric program problem, and can solve by the
dual problem of the PGP.

For p = 0 and p = 1 the lower bound and upper bound of the interval value
of the parameter is used to find the optimal solution respectively. These two values
yield the lower and upper bounds of the optimal solution. Although, one can gain
the intermediate optimal result by using a proper value of p.

5 Numerical Examples

We present few examples to depict the working of the proposed technique for solving
with intuitionistic fuzzy coefficients.

Design of a Two-Bar Truss

We consider a simple mechanical design problem, the two-bar truss is subjected to
a vertical load 2p and is to be designed for minimum weight. The members have a
tubular section with mean diameter ¢ and wall hickness ¢ and the maximum permis-
sible stress in each member (o) is approximately equal to 60,000 psi. Determine the
values of i and d using geometric programming for the following data [12]:

p =33,000Ib,t = 0.1in., b = 30in., oy =60,000psi,and p (density) = 0.31b/in>.

min 2pwdt/b* + h?

p_ NP 4H
St.ﬂ—le < o0p, (28)

d,h>0.

The optimal solution is #* = 30, d* = 2.474874 and optimal objective value is
19.74. Now we consider the intuitionistic fuzzy optimization model of the two-bar
truss as following:

min 25/ ndt~/b? + h2

~1
P b4kt 1 29
st.ﬂdl 7 =< 0y, (29)

d,h>0.

where p! = 33,~0001 Ib = ((33000, 10, 30; 0.5); (33000, 40, 50; 0.25)),t = 0.1 in.,
b = 30in., 6,/ = 60,b001 = ((60000, 20, 30; 0.75); (60000, 30, 70; 0.2)), psi,
and p! (density) = 03 Ib/in® = ((0.3,0.04, 0.08; 0.75); (0.3, 0.06, 0.14; 0.2)), are
the TIFNs. It can be seen that the objective and constraint functions are not posyn-
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omials, due to the presence of the +/b% + h?. The functions can be converted to
posynomials by introducing a new variable y as

y =b*+h*.
Thus the intuitionistic fuzzy optimization problem can be stated as:

min 0.6280.3' dy'/?

33,000 - “nn!
Wyl/zd Ip-1 < 60, 000 , (30)
900y~ +y1h? <1

y,d,h > 0.

According to Definition 5, achieve the following model:

min ((0.188, 0.025, 0.050; 0.75); (0.188, 0.037, 0.087; 0.2))dy'/2
st ((105095.54,31.84, 95.54; 0.5); (105095.54, 127.38, 159.23; 0.25))y'/2d=1h~!
< 60,000, (31)
900y~ +y~1n? < 1,
y,d,h >0

by using («, 3)-cut of the intuitionistic fuzzy coefficients and parameter &’ that are
a = 0.2, 8 = 0.5 and according to Eq. (1), the model (19) is reduced to

min (0.174, 0.220)dy'/?

s.t. (105076.43,105148.61)y'2d~'h~' < (59988.75, 60022),
900y~ ! +y~'h? < 1,
y,d,h > 0.

(32)

This interval optimization problem can be transformed into the parametric form (10),

min (0.174)1-(0.220)7dy'/?

st (105076.43)1-,(105148.61)Py1/2d—1h=1 < (59988.75)(1=) (60022)”,
900y~ ! +y~1h? <1, (33)
y,d,h >0,
p € [0, 1].

Turn this parametric perturbed PGP to standard geometric program form:
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Table 1 Numerical results

p Optimal objective value d* y* h*
0 18.28673 2.477140 1800.000 30
0.1 18.72100 2477173 1800.000 30
0.2 19.16559 2.477205 1800 30
0.3 19.62074 2.477238 1800 30
0.4 20.08669 2.477271 1800 30
0.5 20.56371 2477304 1800 30
0.6 21.05206 2.477337 1800 30
0.7 21.55201 2.477370 1800 30
0.8 22.06382 2.477402 1800 30
0.9 22.58780 2.477435 1800 30
1 23.13703 2.478841 1799.999 30

min (0.174)1-9(0.220)"dy'/?

(105076.43)! 7 (105148.6 )" _ 172 j—17—1
(59988.75)0-7 (60022)7 Y d'h <1,

900y~' +y~h? < 1, (34)
y7 d$ h 2 07
p € [0, 1].

This model is parametric standard PGP, for p € [0, 1], numerical solutions of this
problem are presented in following Table 1.

For p = 0, the lower bound of interval value of the coefficient is used to find the
optimal solution. And p = 1, present the upper bound of the interval coefficients is
used for the optimal solution. These two values yield the lower and upper bounds of

the optimal solution. We change 33,~0001 to 32990, 33030, 32960, 33050, 60,b001

to 59980, 66030, 65970, 66070, and 03 to 0.26,0.38, 0.24, 0.44, in model (19)
respectively. Then finding optimal objective values, 17.13109, 25.02297, 15.85812,
28.91133. Thus from the above discussion we see that the optimal objective values
for p € [0, 1], are between 15.85812 and 28.91133.

The Optimal Box Design Problem

A box manufacturer wants to determine the optimal dimensions for making boxes
to sell to customers. the cost for productions is C; = 2/sqft dollars and the cost
for producing the top and bottom is C; = 3/sqft dollars are more cardboard is
used for the top and bottom of the boxes. The volume of the box is to be set at a
limit of V = 4ft? which can be varied for difference customer specifications. If the
dimensions of the box are W for the width, H for the box height, and L for the box
length, what should the dimension be based on the cost values and box volume [3].
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The problem is minimization the box cost for a specific box volume, the primal
objective function is:

min COST = C]HW + CIHL + CzWL
st. WLH >V, (35)
W,L,H > 0.

However, the model is not geometric programming, because in geometric program-
ming the inequalities must be written in the form of <. Thus, the primal constraint

becomes:
min COST = 2HW + 2HL + 3WL

st. AWT'LT'H < 1, (36)
W,L,H > 0.

The optimal solution is L* = 1.386723, W* = 1.386723, H* = 2.080084 and
optimal objective value is 17.30699. Now we consider the intuitionistic fuzzy opti-
mization model of the optimal box design problem as following:

min COST = 2!HW + 2'HL + 3'WL
st. Hw-'L7'H!' <1, 37
W,L H>0,

where 2/ = ((1.5,2.5,0.5,0.5; 0.75); (1.5, 2.5, 0.6, 0.7; 0.2)),
31 =((2.8,3.2,0.6,0.8; 3/4); (2.8,3.2,0.5,0.5; 0.2; 1/6))
and 4 = ((3.5,4.69, 0.5, 0.6; 3/4); (3.5,4.69, 0.25,0.1; 1/4)) are GTrINFs.
By using («a, 3)-cut of the intuitionistic fuzzy coefficients that are « = 0.3, [ =
0.6 and according to Eq. (1), the model (26), is reduced to:

min COST = (1.2,2.8)HW + (1.2,2.8)HL + (2.54, 3.46)WL
st. (3.65,4.63))W-L-'TH-! <1, (38)
W,L,H > 0.

This interval optimization problem can be transformed into the parametric form (10),

min COST = (1.2)!=7(2.8)PHW + (1.2)!77(2.8)PHL + (2.54)!~7(3.46)"WL
st (3.65)1r@.63)PWwILTIH ! < 1 39)
W,L H>0.

This model is parametric standard PGP, for p € [0, 1], numerical solutions of this
problem are presented in following Table 2.

We change 2/ to 1,3,0.9,3.2,3/t02.2,4,2.3,3.7, and 4’ t0 3, 4.09, 3.25, 4.79 in
model (24) respectively. Then COST* = 8.116018, 25.33403, 8.099305, 28.63159.
Thus from the above discussion we see that the optimal objective values for p € [0, 1],
are between 8.099305 and 28.63159.
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Table 2 Numerical results for optimal box design problem

p CoST L* w* H*

0 10.95759 1.199168 1.199168 2.538240
0.1 11.90166 1.230542 1.230542 2.468273
0.2 12.92707 1.262840 1.262840 2.400236
0.3 14.04082 1.295933 1.295933 2.334074
0.4 15.25053 1.329892 1.329892 2.269735
0.5 16.56446 1.364742 1.364742 2.207170
0.6 17.99160 1.400505 1.400505 2.146330
0.7 19.54169 1.437205 1.437205 2.087167
0.8 21.22533 1.474867 1.474867 2.029634
0.9 23.05403 1.513516 1.513516 1.973688
1 25.04029 1.553177 1.553177 1.919283

6 Conclusion

The present paper propose a solution procedure for posynomial geometric program-
ming with IFN, where the coefficients of objective and constraint functions and
right side are GTIFNs or GTrIFNs. The new concept of the posynomial geometric
programming in an intuitionistic fuzzy number environment is introduced in this
paper. In this approach, we use («, (3)-cut of the intuitionistic fuzzy numbers turn
into interval numbers. To solve the interval optimization problem by interval-valued
function to crisp PGP. The most important advantage, nobody solve the PGP problem
in intuitionistic fuzzy numbers environment.
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Generalized Multi-fuzzy Soft Set
and Its Application in Decision Making

Hai-dong Zhang, Shi-long Liao and Wei-yuan Ma

Abstract The soft set theory, proposed by Molodtsov, can be used as a general math-
ematical tool for dealing with uncertainty. By introducing a generalization parameter
which itself is multi-fuzzy, we define generalized multi-fuzzy soft sets which are an
extension to the multi-fuzzy soft sets. Some operations on a generalized multi-fuzzy
soft set are investigated, such as complement operation, union and intersection oper-
ations, “AND” and “OR” operations. Finally, application of generalized multi-fuzzy
soft sets in decision making problems has been shown.

Keywords Multi-fuzzy set - Multi-fuzzy soft set - Generalized multi-fuzzy soft
set - Decision making

1 Introduction

Molodtsov [1] initiated a novel concept called soft sets as a new mathematical tool
for dealing with uncertainties. The soft set theory is free from many difficulties that
have troubled the usual theoretical approaches. It has been found that fuzzy sets,
rough sets, and soft sets are closely related concepts [2]. Soft set theory has potential
applications in many different fields including the smoothness of functions, game
theory, operational research, Perron integration, probability theory, and measurement
theory [1, 3]. Research works on soft sets are very active and progressing rapidly
in these years. Maji et al. [4] defined several operations on soft sets and made a
theoretical study on the theory of soft sets. Jun [5] introduced the notion of soft
BCK/BCl-algebras. Jun and Park [6] discussed the applications of soft sets in ideal
theory of BCK/BClI-algebras. Feng et al. [7] applied soft set theory to the study
of semirings and initiated the notion of soft semirings. Furthermore, based on [4],
Ali et al. [8] introduced some new operations on soft sets and improved the notion
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of complement of soft set. They proved that certain De Morgans laws hold in soft
set theory. Qin and Hong [9] introduced the notion of soft equality and established
lattice structures and soft quotient algebras of soft sets. Park et al. [10] discussed
some properties of equivalence soft set relations.

The soft set model can be combined with other mathematical models. Maji et al.
[11, 12] presented the notion of generalized fuzzy soft sets theory which is based
on a combination of the fuzzy set and soft set models. Yang et al. [13] presented the
concept of the interval-valued fuzzy soft sets by combining interval-valued fuzzy set
[14—16] and soft set models. Feng et al. [17] provided a framework to combine fuzzy
sets, rough sets and soft sets all together, which gives rise to several interesting new
concepts such as rough soft sets, soft rough sets and soft rough fuzzy sets. Shabir
[18] presented a new approach to soft rough sets by combining the rough set and soft
set.

Recently, authors [19] proposed the concept of the multi-fuzzy set which is a more
general fuzzy set using ordinary fuzzy sets as building blocks, and its membership
function is an ordered sequence of ordinary fuzzy membership functions. The notion
of multi-fuzzy sets provides a new method to represent some problems which are
difficult to explain in other extensions of fuzzy set theory, such as color of pixels.
By combining the multi-fuzzy set and soft set models, Yang et al. [20] presented the
concept of the multi-fuzzy soft set, and provided its application in decision making
under an imprecise environment. The purpose of this paper is to extend the concept of
multi-fuzzy soft set by introducing a generalization parameter which itself is multi-
fuzzy, from which we can obtain a new soft set model: generalized multi-fuzzy soft
set theory.

The rest of this paper is organized as follows. The following section briefly reviews
some background on soft set, multi-fuzzy set and multi-fuzzy soft set. In Sect. 3,
the concept of generalized multi-fuzzy soft set is presented. Some operations on
the generalized multi-fuzzy soft set are then defined. Also their some interesting
properties have been investigated. An application of generalized multi-fuzzy soft set
in decision making problem has been shown in Sect. 4. Section 5 concludes the paper.

2 Preliminaries

In this section we give few definitions regarding soft sets and multi-fuzzy sets.

Definition 1 ([1]) Let U be an initial universe set and E be a universe set of para-
meters. A pair (F, A) is called a soft setover U if A C Eand F : A — P(U),
where P (U) is the set of all subsets of U.

Definition 2 ([12]) Let U be an initial universe set and E be a universe set of
parameters. A pair (F, A) is called a fuzzy soft setover U if A C Eand F : A —
F(U), where F(U) is the set of all fuzzy subsets of U.
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Definition 3 ([19]) Let U be an initial universe set and k be a positive integer. A
multi-fuzzy set A in U is a set of ordered sequences.

= {u/(n1(w), pa(w), ..., ur(w) : u e U},
where u; € F(U),i =1,2,...k.

The function p ; = (1, (2, - - ., k) is called the multi-membership function of

multi-fuzzy set A, and k is called the dimension of A. The set of all multi-fuzzy sets
of dimension k in U is denoted by MkFS(U).

k
If > wi(u) < 1,Vu € U, then the multi-fuzzy set of dimension k is called
i=1
k
a normalized multi-fuzzy set. If > u;(w) = [ > 1, for some v € U, we

i=1
redefine the multi-membership degree (uq(u), u2(w), ..., ux(w)) : uw € U} as
%(m (w), pa(uw), ..., ug(u)) : u € U}, then the non-normalized multi-fuzzy set
can be changed into a normalized multi-fuzzy set.

Example 1 Suppose a color image is approximated by am x n matrix of pixels. Let
U be the set of all pixels of the color image. For any pixel u in U, the membership
values (1), tg(u), up(u) are being the normalized red value, green value and
blue value of the pixel u respectively. So the color image can be approximated by
the collection of pixels with the multi-membership function (u;, iy, up) and it can
be represented as a multi-fuzzy set

= {u/(ur (), pr (u), pp(w)) :u € U}

In a two dimensional image, color of pixels cannot be characterized by a mem-
bership function of an ordinary fuzzy set, but it can be characterized by a three
dimensional membership function (ii,, ftg, up). In fact, a multi-fuzzy set can be
understood to be a more general fuzzy set using ordinary fuzzy sets as its building
blocks.

Definition 4 ([19]) Let A= {u/(uy(u), po(u), ..., ug(u)) : v € U} and B =
{u/(1 (), y2(u), ..., vk(u)) : uw € U} be two multi-fuzzy sets of dimension k in
U. We define the following relations and operations
(l)AIIBlff;L,(u) <vyi(u),YueU,and 1 <i <k.
(2)A Blfful(u)—y,(u) VueU,and 1 <i <k.
() AU B = {u/(ui(w) vV y1(uw), pa(u) V y2 (), ..., me(@W) V ye(w) : u € U}
4 4 N B = {u/(u1(w) A y1(), pa(u) A ya(u), ..., e (w) A ye(w) : u € U}.
(5) A° = {u/ (S (). p5 (). ..., () 1w € U,

Definition 5 ([20]) Let U be an initial universe set and E be a universe set of
parameters. A pair (F, A) is called a multi-fuzzy soft set of dimension k over U,
where F is a mapping given by F : A — M*FS(U).

A multi-fuzzy soft set is a mapping from parameters to M kKFS(U). 1t is a para-
meterized family of multi-fuzzy subsets of U. For e € A, F(e) may be considered
as the set of e-approximate elements of the multi-fuzzy soft set (F, A).



34 H. Zhang et al.

Example 2 Suppose that U = {c1, c2, ¢3, ca} is the set of color cloths under consid-
eration, A = {eq, ez, e3} is the set of parameters, where e stands for the parameter
‘color’ which consists of red, green and blue, e, stands for the parameter ‘ingredient’
which is made from wool, cotton and acrylic, and e3 stands for the parameter ‘price’
which can be various: high, medium and low. We define a multi-fuzzy soft set of
dimension 3 as follows

Fep) = {c1/(0.4,0.2,0.3), ¢2/(0.2,0.1,0.6), ¢3/(0.1, 0.3,0.4), ¢4/(0.3, 0.1, 0.3)},
F(ez) = {¢1/(0.1,0.2,0.6), ¢2/(0.3,0.2,0.4), ¢3/(0.5, 0.3, 0.1), ¢4/(0.6, 0.1, 0.3)},
F(e3) = {¢1/(0.3,0.4,0.1), ¢2/(0.4,0.1,0.2), ¢3/(0.2, 0.2, 0.5), ¢4/(0.7,0.1, 0.2)}.

3 Generalized Multi-fuzzy Soft Sets

3.1 Concept of Generalized Multi-fuzzy Soft Sets

In this subsection, we give a modified definition of multi-fuzzy soft set.

Definition 6 Let U be an initial universe and E be a set of parameters. The pair
(U, E) is called a soft universe. Suppose that F:E — MkFS(U) and f is a
multi-fuzzy subset of E, i.e. f E — I*¥ =0, 17%, we say that F; 7 is a generalized
multi-fuzzy soft set (GMFSS, in short) over the soft universe (U, E) if and only if
F 7 is a mapping given by

ﬁf:E—> MkFS(U) x I*,

where ﬁf-(e) = (F(e), f(e)), F(e) € M¥FS(U), and f(e) € I*.

Foralle € E, F (e) is actually a generalized multi-fuzzy set of (U, E), where
u € U, it can be wntten as:

Fre) = (F(e), f(e).

Here, £ = {1/ (0 00 W 10) - € U,

fler =l . @k ).

Remark 1 A generalized multi-fuzzy soft set is also a special case of a soft set
because it is still a mapping from parameters to MK FS(U) x I¥,
(1) Ifk = 1, then F 7 will be degenerated to be a generalized fuzzy soft sets [11].

Q) Ifk =2, ,uﬁ()( )+uﬁ()(u) <1anduf()(u)+uf()(u) <1, then Ff'

will be degenerated to be a generalized intuitionistic fuzzy soft sets [21].
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Example 3 Let U be a set of three shirts under consideration of a decision maker
to purchase, which is denoted by U = {uy, up, u3}. Let E = {ey, e, €3} be set
of parameters, where e stands for the parameter ‘color’ which consists of red,
green and blue, e, stands for the parameter ‘ingredient” which is made from wool,
cotton, and acrylic, and e3 stands for the parameter ‘price’ which can be vari-
ous: high, medium and low. Let f : E — I3 be defined as follows: f (e1) =

(0.3,0.6,0.1), f(e2) = (0.3,0.5,0.2), f(e3) = (0.6,0.2,0.1). We define a func-

tion Ff E — M3FS(U) x I*, given by as follows:

Fien) = ({u1/(0.2,0.6,02), u2/(0.1,0.8,0.1), u3/(0.2,0.6,0.2)}, (0.3,0.6,0.1)),
Filen) = ({u1/(0.2,0.2,0.5),1u2/(0.3,0.6,0.1), u3/(0.7,0.2,0.0)}, (0.3,0.5,0.2)),
Fe3) = ({u1/(0.8,0.1,0.1), u2/(0.3,0.4,0.1), u3/(0.6,0.2,0.2)}, (0.6, 0.2, 0.1)).

Then F 7 is a GMFSS over (U, E).

In matrix from this can be expressed as

) (0.2,0.6,0.2) (0.1,0.8,0.1) (0.2,0.6,0.2) (0.3,0.6,0.1)
7=1{102,02,05) (0.3,06,0.1) (0.7,0.2,0.0) (03,0.5,0.2) | .
(0.8,0.1,0.1) (0.3,0.4,0.1) (0.6,0.2,0.2) (0.6,0.2,0.1)

where the ith row vector represent F ];(el-), the ith column vector represent u;, the

last column represent the range of f and it will be called membership multi-fuzzy
matrix of F 7

Definition 7 Let ﬁfv and ég be two GMFSSs over (U, E). Now Ff is said to be a

generalized multi-fuzzy soft subset of G_;] if and only if

(1) f is a multi-fuzzy subset of g; .
(2) F(e) is also a multi-fuzzy subset of G(e), Ve € E.

In this case, we write F 7 C Gg.
Example 4 Consider the GMFSS F 7 over (U, E) given in Example 3. Let Gg be

another GMFSS over (U, E) defined as follows:

Gylen) = ({u1/(0.1,0.5,0.0), u2/(0.1, 0.5, 0.1), u3/(0.1,0.4,0.1)}, (0.2, 0.5, 0.1)),
Gy(e2) = ({u1/(0.1,0.1,0.4), u2/(0.2, 0.4, 0.1), u3/(0.6,0.1,0.0)}, (0.2,0.3,0.1)),
Gy (e3) = ({u1/(0.5,0.1,0.0), u2/(0.1,0.3,0.1), u3/(0.5,0.1,0.1)}, (0.4, 0.1,0.1)).

Clearly, we have Gg C F 7

Definition 8 Let F ; and G;, be two GMFSSs over (U, E). Now F 7 and G@ are said
to be a generalized multi-fuzzy soft equal if and only if

() F 7 is a generalized multi-fuzzy soft subset of ég;

2) G~ is a generalized multi-fuzzy soft subset of F 7
which can be denoted by F ;= G~
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3.2 Operations on Generalized Multi-fuzzy Soft Sets

Definition 9 Let F 7 be a GMFSS over (U, E). Then the complement of F 7 denoted
by F}i is defined by ﬁjﬁ = Gy, where G(e) = F<(e), and j(e) = fC(e).
From the above definition, we can see that (ﬁj@)“ = F -

Example 5 Consider the GMFSS Gg over (U, E) defined in Example 4. Thus, by
Definition 9, we have

) (0.9,0.5,1.0) (0.9,0.5,0.9) (0.9,0.6,0.9) (0.8, 0.5, 0.9)
GS = [ (0.9,0.9,0.6) (0.8,0.6,0.9) (0.4,0.9,1.0) (0.8,0.7,0.9)
(0.5,0.9, 1.0) (0.9,0.7,0.9) (0.5,0.9,0.9) (0.6, 0.9, 0.9)

Definition 10 The union operation on the two GMFSSs F and Gg, denoted by
Ff U G is defined by a mapping given by H E — MkFS(U) x I¥, such that
I:Iﬁ (e) = (H(e), h(e)), where H(e) = F(e) U G(e), h(e) = f(e) Ugle).

Definition 11 The intersection operation on the two GMFSSs F 7 and Gg, denoted
bNy Ff n Gg,: is deiNined bya mapPing giV?n by I:Iﬁ - E ~—> MkFNS(U) x I¥, such that
Hj(e) = (H(e), h(e)), where H(e) = F(e) M G(e), h(e) = f(e) M gle).

Example 6 Letus consider the GMFSS F 7 in Example 3. Let G 7 be another GMFSS
over (U, E) defined as follows:

Gyle) = ({u1/(0.5.0.5,0.8), u2/(0.2, 0.4,0.1), u3/(0.8, 0.4,0.2)}, (0.4,0.5,0.7)),
Gylex) = ({u1/(0.4,0.1,0.8), uz/(0.1,0.4,0.7), u3/(0.6, 0.4,0.5)}, (0.2,0.3,0.5)),
Gyle3) = ({u1/(0.6,0.4,0.3), u2/(0.3, 0.5, 0.1), u3/(0.6, 0.4,0.8)}, (0.6, 0.8, 0.3)).

Then

(0.5,0.6,0.8) (0.2,0.8,0.1) (0.8,0.6,0.2) (0.4,0.6,0.7)

FruGy={1(04,02,08) (0.3,0.6,0.7) (0.7,0.4,0.5) (0.3,0.5,0.5) | ,
(0.8,0.4,0.3) (0.3,0.5,0.1) (0.6, 0.4, 0.8) (0.6, 0.8,0.3)

o (0.2,0.5,0.2) (0.2,0.4,0.1) (0.2,0.4,0.2) (0.3,0.5,0.1)

F;nG;=((020.1,05) (0.1,0.4,0.1) (0.6,0.2,0.0) (0.2,0.3,0.2)

(0.6,0.1,0.1) (0.3,0.4,0.1) (0.6,0.2,0.2) (0.6,0.2,0.1)

Definition 12 A GMFSS is said to a generalized F— —empty multi-fuzzy soft set,
denoted by Fy, if Fy : E — MFFS(U) x I¥, such that F3(e) = (F(e), 0(e)), where
0(e) = (0,0,...0),Ve € E.

If F(e) = {u/(0,0,...,0) : u € U} then the generalized F—empty multi-fuzzy
soft set is called a generalized empty multi-fuzzy soft set, denoted by &.
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Definition 13 A GMFSS is said to a generalized F —universal multi-fuzzy soft set,
denoted by F;, if F; : E — MFFS(U) x I*, such that F;(e) = (F(e), 1(e)), where
Iey=(,1,...,1),Ye € E.

If F(e) = {u/(1,1,...,1) : w € U} then the generalized F —universal multi-
fuzzy soft set is called a generalized universal multi-fuzzy soft set, denoted by 1.

From Definitions 12 and 13, obviously we have
()VPCFRCFERCE],
@& =1,
B)1°=o.
Theorem 1 Let I:"j; be a GMFSS over (U, E). Then the following holds:

(Wrpuo=rpfine=2
(2) Fjul=1.F;ni=F;,
(3)fjf|_|F(~)=F]7,{7fl_lF6=f'(),
(4) FfuFy = F, F;n Fy = F;.

Proof Straightforward.

Remark 2 Let Ff be a GMFSS over (U, E). If Ff # Tor ﬁf # &, then Ff u Ff #

I,and F:m FS # &.

»and Fz 7 =+

Theorem 2 Let F 7

lowing holds: ‘
100,260,
(Z)FfﬂngGgrlF',
(3) Fpu(Ggu Hy) = (Fzu Gg) U H,
(4) F];I_I(G!}I_IHE) = (F];I_IG_;})I_IHIjl.

Gg and ﬁﬁ be any three GIMFSSs over (U, E). Then the fol-

~

Proof The properties follow from the definitions.

Theorem 3 Let ﬁf and Gg be two GMFSSs over (U, E). Then De-Morgan’s laws
are valid:

s ~ \C _ IC ~e
(])(Ffl_ng)‘ —Ff~I_IGé,
i ~ \NC _ IC ~e
(2)(FfI_IGg)‘ —FfUG!}.
Proof Foralle € E,

(FruGyp = (Fe)uGle), fle)uge))
= (F(e)n G*(@). (f*(@ng(e)
= (F*(e), f*(e) M (G () N (e) = FE Gy

Likewise, the proof of (2) can be made similarly.
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Theorem 4 Let F 7o

(Z)FfI_I(Ggl_IH;Z)=(Ff~I_IG§)I_I(Ff~I_IHh~).

Gg and I:I;l be any three GMFSSs over (U, E). Then,

Proof The proof follows from definition and distributive property of multi-fuzzy set.

Definition 14 Let F; and G; be two GMFSSs over (U, E). The “F; AND Gj”,

denoted by I:"f A Gg, is defined by Ff A Gg = I:I;l, where I:I,;(oz, B) = (I:I(a, B),

h(a, B)), H(a, B) = F(a) N G(B), and h(a, B) = f(a) N G(B), for all (a, B) €
E x E.

Definition 15 Let Ff and ég be two GMFSSs over (U, E). The “I:"f OR Gg”,
denoted by Ff \Y, Gg, is defined by I:"f \Y Gg = 0, where 0;(«, B) = (O(a, B),

o, B)), O(a, B) = F(a) U G(B), and 6(r, ) = f(a) U G(B), for all («, B) €
E x E.

Example 7 Let us consider two GMFSSs Gg and F 7 in Example 6. Then we have

G;] A 17"f~ = I:Iﬁ and G;] \Y I:”f = 0 as follows:

Hi(er,e1) = (u1/(0.2,0.5,0.2), u2/(0.1,0.4,0.1), u3/(0.2,0.4,0.2)}, (0.3,0.5,0.1)),
H;(e1, e2) = ({u1/(0.2,0.2,0.5), u2/(0.2,0.4,0.1), u3/(0.7,0.2,0.0)}, (0.3, 0.5, 0.2)),
Hj(er, e3) = ({u1/(0.5,0.1,0.1), u2/(0.2,0.4,0.1), u3/(0.6, 0.2, 0.2)}, (0.4,0.2,0.1)),
Hj(e2, e1) = ({u1/(0.2,0.1,0.2), u2/(0.1,0.4,0.1), u3/(0.2, 0.4, 0.2)}, (0.2,0.3,0.1)),
Hj(e2, €2) = ({u1/(0.2,0.1,0.5), u2/(0.1,0.4,0.1), u3/(0.6, 0.2, 0.0)}, (0.2, 0.3, 0.2)),
H(e2, e3) = ({u1/(0.4,0.1,0.1), u2/(0.1,0.4,0.1), u3/(0.6,0.2,0.2)}, (0.2, 0.2, 0.1)),
Hj(es, e1) = ({u1/(0.2,0.4,0.2), u2/(0.1,0.5,0.1), u3/(0.2, 0.4, 0.2)}, (0.3, 0.6, 0.1)),
Hj (e3, €2) = ({u1/(0.2,0.2,0.3), u2/(0.3,0.5,0.1), u3/(0.6, 0.2, 0.0)}, (0.3, 0.5, 0.2)),
H:(e3, e3) = ({u1/(0.6,0.1,0.1), u2/(0.3,0.4,0.1), u3/(0.6,0.2,0.2)}, (0.6, 0.2, 0.1))

and

O;(er, e1) = ({u1/(0.5, 0.6, 0.8), u2/(0.2, 0.8, 0.1), u3/(0.8, 0.6, 0.2)}, (0.4, 0.6, 0.7)),
Oj(e1, e2) = ({u1/(0.5,0.5,0.8), u2/(0.3,0.6, 0.1), u3/(0.8, 0.4, 0.2)}, (0.4, 0.5, 0.7)),
Oj(er, e3) = ({u1/(0.8,0.5,0.8), u2/(0.3,0.4,0.1), u3/(0.8, 0.4, 0.2)}, (0.6, 0.5, 0.7)),
0O;(e2, €1) = ({u1/(0.4,0.6,0.8), u2/(0.1, 0.8, 0.7), u3/(0.6, 0.6, 0.5)}, (0.3, 0.6, 0.5)),
Oj(e2, e2) = ({u1/(0.4,0.2,0.8), 12/(0.3, 0.6, 0.7), u3/(0.7, 0.4, 0.5)}, (0.3, 0.5, 0.5)),
Oj(e2, e3) = ({u1/(0.8,0.1,0.8), u2/(0.3,0.4, 0.7), u3/(0.6, 0.4, 0.5)}, (0.6, 0.3, 0.5)),
O;(e3, e1) = ({u1/(0.6, 0.6, 0.3), u2/(0.3,0.8,0.1), u3/(0.6, 0.6, 0.8)}, (0.6, 0.8, 0.3)),
Oj(e3, e2) = ({u1/(0.6,0.4,0.5), u2/(0.3,0.6,0.1), u3/(0.7, 0.4, 0.8)}, (0.6, 0.8, 0.3)),
Oj(e3, e3) = ({u1/(0.8,0.4,0.3), u2/(0.3,0.5,0.1), u3/(0.6, 0.4, 0.8)}, (0.6, 0.8, 0.3)).

Theorem 5 Let F 7 and Gg be two GMFSSs over (U, E). Then

(1) (Iif A ?g)“ = IT; \% ?f}
(2) (Fjv Gy)° = F5 A G,
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Proof (1) Suppose that ﬁf A Gy = Hj, where H; (o, p) = (F(@) N G(B), f(a) I
§(B)). Therefore, for all (o, 8) € E x E, we have Flg(a, B) = (F(a) U
GB). flrugeBn. i i i )
Again suppose that FJC; \Y, Gg = 0;, where O;(at, B) = (F(0) LG (B), f(x)U
G°(B)). Hence ﬁg = 0;.
Likewise, the proof of (2) can be made similarly.

Theorem 6 Let F 7o

(1) ﬁf NGy AH;) = (ﬁf A Gy A H;,
(2) Ffv (G Vv Hj) = (Ff~v Gy Vv Hj,
(3) Ff A(GyV H;) = (ﬁf. AGy Vv (Ff. A Hj),
4) ﬁf V(G A Hj) = (ﬁf v Gy A (Ff v Hp).

Gg and I:Iﬁ be any three GMFSSs over (U, E). Then we have

Proof The proof follows from definition and distributive property of multi-fuzzy set.

4 Application of Generalized Multi-fuzzy Soft Sets

In this section, we define an aggregate multi-fuzzy set of a GMFSS. We also define
GMFSS aggregation operator that produce an aggregate multi-fuzzy set from a
GMEFSS over (U, E).

Definition 16 Let ﬁf be a GMESS over (U, E), i.e. ﬁf € GMFSS(U, E). Then
GMFSS-aggregation operator, denoted by GM F'SS; 4, is defined by

GMFSSugy: GMFSS(U, E) — M*FS(U), GMFSSaggFf: =H,
where

7 _ ) — (1] 2 k .

A = (u/pj () = (). w2 W) ... py(w) s u e U)
which is a multi-fuzzy set over U. The value H is called aggregate multi-fuzzy set
of F 7

Here, the membership degree u ; (u;) of u; is defined as follows

n i) = (@l af, ... af) =Gnf(l, 3 e @il inf{l, 3 w2 0ug @i} ...

xeE xeE

inf {1, D i oul ().

xeE

From the above definition, it is noted that the GIV F'§S,4, on the multi-fuzzy set
is an operation by which several approximate functions of a GMFSS are combined to
produce a single multi-fuzzy set that is the aggregate multi-fuzzy set of the GMFSS.
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Once an aggregate multi-fuzzy set has been arrived at, it may be necessary to choose
the best single alternative from this set. Therefore, we can construct a GMFSS-
decision making method by the following algorithm.

Step 1 Construct a GMFESS over (U, E),

Step 2 Find the aggregate multi-fuzzy set H,

Step 3 Compute the score r; of u; such that

ri = Z((ail _a})+(ai2_a]2_)+...+(a;‘—a.’/‘.)).

ujel

Step 4 Find the largest value in S where S = Ina()%{ri }.
u;ie

Example 8 Assume that a company want to fill a position. There are four candidates
who form the set of alternatives, U = {uq, u2, u3, u4}. The hiring committee consider
a set of parameters, £ = {xp, x2, x3}, where x| stands for “experience”, which
includes three levels: rich, average, poor, x, stands for “computer knowledge” which
includes three levels: skilled, average, poor, and x3 stands for “young age”, which
includes three levels: old, middle, little.

After a serious discussion each candidate is evaluated from point of view of the
goals and the constraint according to a chose subset

f = {x1/(0.69,0.10, 0.21), x2/(0.32, 0.58, 0.10), x3/(0.23, 0.47, 0.27)}.

Finally, the committee constructs t~he following GMFSS over (U, E).
Step 1 Let the constructed GMFSS, F 7 be as follows,

(0.22,0.19,0.18) (0.15,0.45, 0.20) (0.68,0.22,0.00) (0.25,0.35,0.30) (0.32, 0.58,0.10)

(0.42,0.28,0.20) (0.22,0.49,0.18) (0.28,0.42, 0.20) (0.36,0.54,0.10) (0.69,0.10, 0.21)
Fr= :
(0.61,0.19,0.10) (0.37,0.43,0.10) (0.61,0.29,0.10) (0.62,0.28,0.10) (0.23,0.47,0.27)

Step 2 The aggregate multi-fuzzy set can be found as

H = {u1/(0.50,0.23,0.09), u2/(0.28,0.51, 0.08), u3/(0.55,0.31, 0.07),
u4/(0.47,0.39, 0.08))

Step 3 For all u; € U, compute the score r; of u; such that

ri= > (@l —a))+ (@ —aj)+ -+ (af —db)).

u;elU

Thus, we have r; = —0.28, r, = —0.08, r3 = 0.16, r4 = 0.20.

Step 4 The decision is anyone of the elements in § where S = max{r;}.
uieU
In our example, the candidate u4 is the best choice because mal)} {ri} = {ug}.
Uu; €
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5 Conclusion

Soft set theory, proposed by Molodtsov, has been regarded as an effective mathemat-
ical tool to deal with uncertainty. However, it is difficult to be used to represent the
fuzziness of problem. In order to handle these types of problem parameters, some
fuzzy extensions of soft set theory are presented, yielding fuzzy soft set theory. In this
paper, the notion of generalized multi-fuzzy soft set theory is proposed. Our gener-
alized multi-fuzzy soft set theory is an extension of generalized fuzzy soft set theory
and generalized intuitionistic fuzzy soft set theory. Some operations are defined on
generalized multi-fuzzy soft sets. The basic properties of the generalized multi-fuzzy
soft sets are also presented and discussed. Finally, an application of this theory has
been applied to solve a decision making problem.
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Distance Measures for Interval-Valued
Intuitionistic Hesitant Fuzzy Sets

Ya-ru Wei, Lin-qing Gao, Chao Wang and Ming-hu Ha

Abstract In order to effectively deal with some decision-making problems on
interval-valued intuitionistic hesitant fuzzy environment, some distance measures
for interval-valued intuitionistic hesitant fuzzy sets are defined, and corresponding
properties are given and proved. The effectiveness and practicality of the distance
measures are verified finally.

Keywords Interval-valued intuitionistic hesitant fuzzy sets + Distance measures *
Decision-making + Fuzzy sets

1 Introduction

In 1965, the definition of fuzzy sets was introduced by Zadeh [1] to deal with fuzzy
and uncertain information problems in our life. In order to expand the fuzzy sets, the
concept of intuitionistic fuzzy sets (IFS) was proposed by Atanassov [2, 3] in 1986.
Intuitionistic fuzzy sets are more flexibility and practicality than the traditional fuzzy
sets in dealing with ambiguity and uncertainty. While, in some practical problems,
due to many affect factors such as the complexity of the objective environment,
professional skills of decision makers, decision makers often fail to provide accurate
preference information for decision schemes. In order to expand the intuitionistic
fuzzy sets, the concept of interval-valued intuitionistic fuzzy sets was proposed by
Atanassov [4] in 1989, whose membership and non-membership are represented by
interval numbers. The interval-valued intuitionistic fuzzy sets (IVIFS) may be better
to describe the decision-makers’ preference information and reflect the nature and
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characteristics of the problem. Similarly, hesitant fuzzy sets as an expansion of the
fuzzy sets were proposed by Torra and Narukawa [5] and Torra [6] in 2009 and 2010,
which the membership of an element is a set composed by several possible values
between 0 and 1. Subsequently, the relationship [7], distance and similarity measures
[8], operators [9—11] of hesitate fuzzy set were discussed.

Distance measures have a wide range of applications in approximate reasoning,
decision analysis and medical diagnosis. The distance measures for the above exten-
sions of fuzzy set theory played an important role in the decision-making information
aggregation. In 2013, the definition of interval-valued intuitionistic hesitant fuzzy
sets (IVIHFS) and some operations was given by Zhang [12], but the corresponding
distance measures have not been proposed. In this paper, the distance measures for
interval-valued intuitionistic hesitant fuzzy set will be defined and discussed.

2 Distance Measures for IVIHFS

In 2013, Zhang [12] introduced the interval-valued intuitionistic hesitant fuzzy sets
(IVIHFS), which extends the hesitant fuzzy set to interval-valued intuitionistic hes-
itant fuzzy environments. IVIHFS are very useful tools to deal with the situation in
which decision maker hesitate between several possible interval-valued intuitionistic
fuzzy numbers when assess to an attribute.

Definition 2.1 (see [12]) Let X be a nonempty set. Then an interval-valued intu-
itionistic hesitant fuzzy set IVIHFS) on X is given by

E ={(x,hz(x))lx € X},

where &z (x) is a set of some IVIFNS.

For convenience, h = h 7 (x) isdenoted as an interval-valued intuitionistic hesitant
fuzzy element (IVIHFE), and H is a set of all the IVIHFEs. If & € &, then « is an
IVIFN denoted by & = (itq, Vo) = ([ig s g 1, [vg s vID).

oo

Definition 2.2 Let A = {(x,h;(x))lx € X}, B = {(x,hz(x))|x € X} be two
IVIHFS. Then £ ;(x) and h 7 (x) are IVIHFEs. The distance measure for IVIHFS as
following:

1

Iy,
70Dy 790
@Zd% x), h% (i), (1)

j=1

d(h ;(x;), h(x;) =

where hg(j )(x;) and hg(j )(x;) are the jth largest values in / ;(x) and h 3O L =
max(l(h ;(x;)), [(hz(x;))), I(h ;(x;)) and [(hz(x;)) are the number of ﬁg(x) and
h 7 (x) respectively, which will be used thereafter.
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Definition 2.3 Let A = {(x,h;(x))lx € X}, B = {(x, hz(x))|x € X} be two
IVIHFS. Based on the normalized Hamming distance, we can give an interval-valued
intuitionistic hesitant fuzzy normalized Hamming distance:

dymrn(A, B = 1 3 [Lati? o, 150 )|
1

=

= la; Z(|<u”“)<xl))+ WP @)+ 105 @)™ = @ @)

+|<v"<”<x)>+ W+ 1057 @)™ = 05 ),
)

where

i) = (16 0™ 0GP e 1L 105 ™, 05V @rt).

i = (10 ™ G e 1 105 @)™, 07V @)

Proposition 2.1 Let A, B andﬂé be t@ree IVIHFS on X = ixl, X2, ..., Xp}. Then
the distance measure betweenA and B is defined by d(A, B), which satisfies the
following properties:

(1) 0<d(A,B) < I;
(2) d(A B) = 0 if and only if A = B;
(3) d(A B) d(B A)
(4) d(A, B) <d(A,C)+d(C, B).
It is proved that the interval-valued intuitionistic hesitant fuzzy normalized Ham-
ming distance satisfies the above proposition.

Proof (1) By the distance of interval-valued intuitionistic fuzzy sets, we have
0<d(h;(x), hyx)) < 1.

So0 < dIVIHFH(A B) <1;

(2) When A= B we can easﬂy get leHFH(A B) =0.
Now we need prove d(A,B)=0= A = B.
Let dIV]HFH(A, B) = 0. We can get

1 - . - . - . - .
A @) B (i) = 0= dG (o). G () =0,
Xi

So h"(f)(x ) = "(”(x yand A = B.

(3) For any two 1nterva1 valued intuitionistic fuzzy numbers M and N, there have
d(M, N)=d(N, M). Similarly,d (i7" (), B n)=d (57 (), b5 (i)
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i=1

o n Ly - -
4) Letdvimru(A, By =1 |:4’]xl- >, d(hg(])(xi), h(;;(])(xi))] ,

Iy,
Zd(h"“)(m R |

T
drvmrn(A, C) ==
i=1

S

4Ly, =

Iy;

! oy 700
i 2 Zd(h ), B (x2)

N

~ o~ 1
dviara(C, B) = p

i=1 |

Then we have

o o 1 & " PP P
dvigra(A, C) + dvigra(C, B) = - le {41)(' Z} (d(h;(j), h(é(])) + d(hgm, hg(j)):|.
i= L=

For the three interval-valued intuitionistic fuzzy numbers M s N and f’, we have
d(M,P)+d(P,N)>d(M,N).
So we have
5D ) W ki) + d LD ) 15 (ki) = d D ), G ).

Then,
dviara(A, C) + dvinru(C, B) > dvigra(A, B).

Itis obvious that the interval-valued intuitionistic hesitant fuzzy normalized Ham-
ming distance measure satisfies Proposition 2.1.

Definition 2.4 Let A = {(x,7;(x))lx € X}, B = {{(x,h;(x))|x € X} be two
IVIHFS. Then the generalized interval-valued intuitionistic hesitant fuzzy weighted
distance is given by:

drvirw(A, B) = [z wi (g1 z G eyt = G @)t

+1(u5 ™ - (uf”(xz)) |k+|(v"‘”(x,>)+ W7D @)t
+|(v~‘”(xl>)* (vf”(x,)) M1,

3)

n
where >~ w; = land A > 0.

i=1
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While, the corresponding similarity measure is given by:

s(A,B)=1—d(A, B).

3 Example Analysis

Now an example is given to verify the effectiveness and practicality of interval-valued
intuitionstic hesitant fuzzy distance measure.

Example 3.1 A factory intends to select a new site for new buildings (adopted by
[13]). Three alternatives A;(i = 1, 2, 3) are available, and three criteria to decide
which site to choose: P; (price); P> (location); P3 (environment). The criteria weight
vector is @ = (0.5,0.3,0.2)T. Assume that the characteristics of the alternative
A;(i = 1,2,3) with respect to the criteria P = (P, P>, P3) are respected by
IVIHFEs. The result shows in Table 1.

The optimal alternative is got according to the following processing:

Step 1: The Standardization of interval-valued intuitionistic hesitant fuzzy matrix.
Each element & i (xj)(@ =1,2,3; j = 1,2, 3) in the interval-valued intuitionistic

hesitant fuzzy numbers sorted in descending order, and then get a new matrix H,
listed in Table 2.

Step 2: Calculate the interval-valued intuitionistic hesitant fuzzy weighted Ham-
ming distance between every alternative and the ideal site {([1,1],[0,0])}.

dy z, = 0.1375 4+ 0.1875 + 0.0825 = 0.4075,
dy z, = 0.200 + 0.1388 4 0.0850 = 0.4238,

dy z, = 0.2875+0.1088 + 0.0575 = 0.4538.

Table 1 The intial desicion matrix

Py Py P
A {(10.5,0.6],[0.3,0.4]), |{([0.2,0.4],[0.5,0.6])} |{([0.3,0.5],[0.3,0.4]),
([0.7,0.8]1,[0.1,0.2]), ([0.5,0.6],[0.2,0.3])}
([0.6,0.81,[0.1,0.2])}
Ao {(10.3,0,6],[0.2,0.3D} |{([0.4,0.5],[0.4,0.5]), |{([0.3,0.4],[0.5,0.6)),
([0.4,0.6],[0.3,0.4])} ([0.5,0.6],[0.2,0.3])}
Aj {(10.2,0.31,[0.6,0.7]), |{([0.6,0.7],[0.2,0.3]), |{([0.7,0.8],[0.1,0.2]),
([0.4,0.51,10.3,04])} | (0.4,0.61,[0.3,0.4D1} | ([0.4,0.61,[0.2,0.3])}
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Table 2 The desicion matrix added
Py Py P3
Ay {([0.7,0.81,[0.1,0.2]), | {([0.2,0.4],[0.5,0.6])} | {([0.5,0.6],[0.2,0.3]),
([0.6,0.8]1,[0.1,0.2]), (0.3,0.51,[0.3,0.4])}
([0.5,0.61,[0.3,0.4])}
Ar {([0.3,0.61,[0.2,0.3])} | {([0.4,0.6],[0.3,0.4]), | {([0.5,0.6],[0.2,0.3]),
([0.4,0.5],[0.4,0.5D}  |([0.3,0.41,[0.2,0.3])}
Aj {([0.4,0.51,[0.3,0.4]), |{([0.6,0.7]1,[0.2,0.3]), | {([0.7,0.8],[0.1,0.2]),
([0.2,0.31,[0.6,0.7])} | ([0.4,0.6],[0.3,0.4])} | ([0.4,0.6],[0.2,0.3])}

Table 3 Sorting distance

Al

As

Sorting result

0.4075 0.4238 0.4538

Al < Ay < As

Step 3: Sort the distance that calculated according to the step 3 (shown in Table 3),
the alternative with the minimum distance is optimal. After summarizing, we can get
as following Table 3.

4 Conclusions

In this paper, two distance measures, the interval-valued intuitionistic hesitant fuzzy
normalized Hamming distance and the interval-valued intuitionistic hesitant fuzzy
normalized weighted Hamming distance are discussed. The distance measures of
interval-valued intuitionstic hesitant fuzzy set provide a theoretical foundation for
decision-making in forms of interval-valued intuitionstic hesitant fuzzy sets. How-
ever, the distance measures with membership degree often have subjectivity, and how
to reduce subjectivity will be further studied.
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Fuzzy Inference Modeling Method Based
on T-S Fuzzy System

Ming-zuo Jiang, Chun-ling Zhang, Xue-hai Yuan and Hong-xing Li

Abstract A kind of fuzzy inference modeling method based on T-S fuzzy system is
proposed. New input-output models and state-space models are constructed respec-
tively by applying this method to time-invariant second-order freedom movement
systems modeling. The obtained differential equation models are used to simulate
the second-order equations, and the results show that the models achieve a good
approximation precision.

Keywords Fuzzy control - Fuzzy inference modeling method - T-S fuzzy system -
Input-Output model - State-space model

1 Introduction

It is well known that the theory of automatic control is mainly based on mathe-
matical models of systems which are often represented as differential equations. By
using these models, we can, for example, design control scheme and analyze system
properties such as stability, controllability and observability.

We know that fuzzy control is suitable for the control systems with fuzzy envi-
ronment being hard to model. The structure of fuzzy system is one of the important
problems of fuzzy system. Fuzzy system mainly consists of fuzzification, fuzzy infer-
ence and defuzzification [1-6]. In detail, fuzzification includes singleton fuzzifier and
parameter singleton fuzzifier [7]; fuzzy inference involves Compositional Rules of
Inference (CRI) [8] and Triple | Method [9]; defuzzification contains center of gravity
method, center average method and maximum value method. The structure of fuzzy
system is closely related to fuzzy inference modeling. In 2002, based on interpola-
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tion mechanism of fuzzy logic system [10], Li put forward a new kind of modeling
method of fuzzy system [11]. It transforms fuzzy inference rule base describing a
time-invariant system into nonlinear differential equations with variable coefficients.
Furthermore, in 2009, Li realized fuzzy modeling of time-varying system [12]. In
2013, [13] gave a fuzzy inference modeling method based on fuzzy transformation.

In recent years, T-S fuzzy system has drawn broad attention of scholars. As we
know, the rule consequents of this kind of systems are represented by linear or
nonlinear relationship between inputs and outputs, so each rule contains more system
information such that few rules are needed to express system information. It also
provides a crisp output that need not to be defuzzified, which makes the technique
computationally efficient for describing nonlinear systems. Moreover, T-S fuzzy
models enjoy great advantages in stability analysis and controller design for nonlinear
systems because of its relatively simple and fixed structure and universal function
approximation capability. Therefore, T-S fuzzy system has been recognized as one
of the successful tools to handle complex nonlinear systems.

In this paper, we present a kind of fuzzy inference modeling method based on
T-S fuzzy system. It is applied to time-invariant second-order freedom movement
systems modeling, and new input-output models and new state-space models are
respectively established. In addition, some simulation examples are given to show
the advantages of this method.

2 Preliminaries

In 1985, Takagi and Sugeno proposed T-S fuzzy system [1, 14]. It is essentially
a nonlinear model that can effectively deal with complex multi-variable nonlinear
system. Unlike Mamdani fuzzy system, the rule consequent of T-S fuzzy system is
represented by a linear or nonlinear relationship between input and output so that
more information can be contained in each rule. Therefore, the use of fewer rules
can achieve the demanded control effect, which makes the controller more simple
[1, 14—17]. The fuzzy rule base of a T-S fuzzy system comprises of a collection of
fuzzy if-then rules in the following form:
If xis A; and y is B;, then

gj=ctcixtcyi=12,...mj=12..n), (1)

where A;(i = 1,...,m) and B;(j = 1,...,n) in (1) are both fuzzy sets with
triangular membership functions. The coefficients c?j, cilj and cizj in (1) can be
defined as below.

For differential functions, the coefficients are determined by taking the deriva-
tives. Let g(x;, y;) = zij(i = 1,....m; j = 1,...,n), where g € C2([a;, b1] x
1 _ 938

0 _ v el 2
[a2, b>]). Then we have ¢ = g(xi, yj) CijXi —CijYj» Cij = ax @) =Giy)
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08

and ¢ = ¥
W=y .

mechanism allows us to determine the coefficients as follows:

. For non-differential functions, numerical approximation

2= fx.y)
~ f(-xiv yj) + f(X1+1x’yj—]) )j;(xl )j (X X; ) + f(xz YJ-H) f(xz yj (y _ y])

. Yi+1—Yj
_ LGy =S i) oy SOy = Giyp) )
+ f(xi9yj) _ Af(xl‘Flayj)_f.(xl!yj)x‘ _ f(xlsyj#»l)_f(xls)’j)

Xit1 =X ! Vi+1=Yj J

Therefore, the coefficients are got here:

f&ivr, yi) — fxi, y)) f&i, yje1) — f(xi, y))

oy = fxi v = Xi = Vi
Xitl — Xi Yi+1 = Jj

ol v, y) — [ yj) 2 SO yjiv) — [, y))

N Xigl — X Ty Yi+1 —Yj

3 Fuzzy Inference Modeling Method Based
on T-S Fuzzy System

3.1 Input-Output Model of Time-Invariant System

In this section, we will discuss the problem of second-order time-invariant freedom
movement system (input u(#) = 0) modeling. Let the universes of the input variables
respectively be Y = [a 1, b1], Y = [a2, by] and the output variable Y = [c, d], then
y@) €Y, y@) € Y y@) € Y.Let A = {A; (y)}l<t<m, B = {B (y)}1<j<n
and C = {Cj; (y)}lglfn,lfjfm be the fuzzy partitions of the universes Y, Y and Y
respectively. y;, y; and ¥;; with the conditions a; = y; < y2 < -+ < yn = by
anday; = y; < y2 < --- < y, = by are respectively the peak points of triangular
membership functions A; (y), B;(y) and C;; (). There is no demand for order to ;.
For fuzzy inference rules

If y(t)is A; and y(¢)is Bj, then (1) is C;; (i =1,2,...m; j =1,2,...n), we
are ready to prove the following main results.

Theorem 1 Model the second-order time-invariant freedom movement system based
on T-S fuzzy system; the obtained input-output model can be expressed by the fol-
lowing nonlinear differential equation with variable coefficients:

V() = Sy@), y())
=a1(y®),y®)y®) +ax(y @), y(@))y(@)
+az(y(t), Y(O))y2() + as(y(@), () y)y (1) + as(y(t), y()y* ()
+as(y(®), Y)Y I () + a7 (y (1), () y®)y* (1) + ag(y (1), y(t)).

3)
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Proof Based on fuzzy logic interpolation mechanism, when (y(¢), y(¢)) € [yi, yi+1] X
[y s y j+11], the local equation on the piece (i, j) can be written as

F () = Ai(y(®))B; 1)) Fij + Ai1 () Bj (5 () Fiv1; 5
+AGO)Bjr1(YE)ijr1 + A1 O)Bjr1 () Viv1j+1,

where the concrete forms of the inference antecedents are

Ay = 22O ey = 2O
i T i Vil = Vi

B = 20 gy = Y070 )
Yirl =Y Vitl = Vj

and those of the inference consequents are
v 0 1 2 . _ 0 1 2 .
Yij = Cij + Cijy(t) + C,‘j)’([)» Yi+lj =Ciyqj + Ci+l,j)’(t) + Ci+],jy(t),

. 0 1 2 . o 0 1 2 .
Vij+1 = ¢ jp1 6 YO+ ¥O, Vil jr1 = iy 1 T 61 jr1 YO F 6y i Y O-
Substitute (5) and (6) into (4), after simplification, we obtain

F(0) = af y(0) + @y 3(0) + a y2 () + aff y©) 30) + ad 32 (@0) + ag Y2 )3 () + aF y()32 (1) + ag .

When (y(2), y(®)) & [yi, yit1] ¥ [Vj, Yj+1ls

ijo_ dj o ijo o dj o dj o dij i i
ai =ay; =aj =af =as =a; =a; =ag =0.

When (y(1), y(®)) € Lyi, yiv1]l X [¥j, Yj+1l, bt = yiv1 — Yi, ha = Yjr1 — V5

af = (=9j 4160y + Vis1Fjael; + Fjraeiy j = Yidir1eiig j+ 3icd
—Vir13jel = Fielhn 1+ Vi jp)/ Mo,

a5 = (=yip1el; + i1 ¥ 16l +vicdey ;= vidirieiy jyitie)
- yi+1)”jcl-2,j+1 - in?+1’j+1 + yiy'jcl-2+1,j+1)/h1h2,

af = (=Fj1e 4 Fimichn s+ 3ict a1 = el o0/ b,

aj = (cy = yi1cly = $jncly — ey j T yicij +Yjr1ci

0 o1 .2 0 o1 .2
=it TV ey TV e TG 1 T YViCign, 1 — ViCi, j+1)/ hiha,

ij 2 2 2 2

as = (—yi+lc,'j + Yi€iy,j + Yi+16 j41 — )’ici+1,./+1)/h]h2s
ij _ .1 1 1 1

ag = (cjj = ¢ip1j = ¢ jy1 +Ciy1 1)/ ih,

ij_ 2 2 2 P
aj = (cjj = Cipy,j =i jr1 F g1 j+1)/ hha,

ij . 0 . 0 .0 . 0
ag = (yi+1)’j+lcij T YiYjH1Ciqy,j T YVi+1YjC 4 —l—y,'yjci+1’j+1)/h1h2.
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By summing the coefficients of the local equations, we have

m—1n—1 m—1n—1 m—1n—1
a0, y0) =D > ai, a®,i0) =D D> a, a(®),30)=> > af,
i=1 j=1 i=1 j=1 i=1 j=1
m—1n—1 - m—1n—1 - m—1n—1 -
as(y(), $0) = D> ail, asy(®),3@0) =D D ad, asy®),3®) =D D a,
i=1 j=1 i=1 j=1 i=1 j=1
m—1n—1 m—1n—1

(). 30) =D > dl, (@), 30) =D D af.

i=1 j=1 i=1 j=1

Then we derive the overall nonlinear differential equation when (y(¢), y(¢)) € Y x Y:

m—1n—1

Foy = > 5@

i=1 j=I1
m—1n—1

=D Dlay@) +a¥ 5(0) + a ¥ @0) + af y)3(0)
i=1 j=1

+ad Y2(0) +a Y ()3 (1) + af y©) 77 (1) + ag ]

m—1n—1 m—1n—1 m—1n—1 m—1n—1
= (Z Za?) (o) + (Z Zag") ¥+ (Z Zaé’) Y2 + (Z Zaf{) NONO)
Jj=1

i=1 i=1 j=1 i=1 j=1 i=1 j=1

m—1n—1 m—1n—1 m—1n—1 m—1n—1
+ (Z Zaé") Vo + (Z Zaé;f) Y030+ (Z Zaéf') OO (Z Zaé")
i=1 j=I i=1 j=1 i=1 j=1 i=1 j=I

= a1 (), Y)Y + a2 (y(®), YO IO + az(v(2), Y)Y @) + as(y (1), YD)y ()3 (1)
+as(y(@), YOV @) + as(y(©), Y)Y OI@) + a7 (1), HO)YO)F* @) + ag(y (1), ¥(©)).

Example 1 The Van der Pol equation () — u(1 — y2(£))y(t) + y(¢) = 0 with the
initial condition (y(0), y(0)) = (2, 0) is simulated, where u = 1. Let time T = 20.
The universes of ¥ and Y are both divided into seven rules. The simulation curves
and the original curves of y(¢) and y(¢) are respectively shown in Figs. 1 and 2, where
the dotted lines show the simulation curves and the solid lines represent the original
curves. More details about the simulation steps can be found in reference [2]. As can
be seen from Figs. 1 and 2, the simulation curves almost coincide with the original
curves, which means that the model established by fuzzy inference modeling method
based on T-S fuzzy system has good approximation accuracy.
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Fig. 1 Simulation curve of y(t)

Fig. 2 Simulation curve of y(t)
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3.2 State-Space Models of Time-Invariant Systems

This section takes second-order time-invariant freedom movement system as an
example to analyze the state-space model in detail. The universes of x(¢), x2(¢),
X1(¢) and x,(¢) are respectively denoted by X| = [ay, b1], X2 = [az, b2], X/1 =
[c1,d;] and X/2 = [c2, d»], where the fuzzy partitions of these universes are
A = {Aila<i<m)» B = {Bjla<j<n), C = {Cij}a<i<m,1<j<n) and D =
{Djj}1<i<m,1<j<n) Tespectively. A;, B, C;; and D;; are taken as triangular mem-
1
iy Tij o iy

;2) < )Céz) <

bership functions, and their peak points are respectively x
the conditions a; = xfl) < xél) < - < x,(nl) =biand ap = x

- < x,Sf ) — b,. There is no demand for order to )'cl.(jl) and )'ci(jz). Then we can get the
following fuzzy inference rules:

If x1(¢) is A;, x2(¢) is B}, then
x1()is Cij andxo(¢) is D;j. (i =1,2,...m; j=1,2,...n). @)
The fuzzy rule base (7) can be represented as a piecewise interpolation function of

two variables based on T-S fuzzy system and fuzzy logic interpolation mechanism
as follows:

(1 (1), 2(1)) = (S1(x1(1), X2(1)), S2(x1(1), x2(1))), 8)
where -
(1) = S1(x1(1), x2(1) = D D" A1 (1) Bj(xa (),
i=1 j=1
and -
i (1) = Sy(x1(1), x2(1) = D D" Ai(x1 (1) Bj (xa ()57 -
i=1 j=1

Thus the fuzzy rule base can be expressed as nonlinear differential equations with
variable coefficients, and then we get the following theorem.

Theorem 2 For second-order time-invariant system modeling, based on T-S fuzzy
system, if A;(x1(t)) and Bj(x2(t)) are both triangular membership functions, the
obtained state-space model can be constructed as the following nonlinear differential
equations with variable coefficients:

x1(1) = S1(x1(2), x2(2))
= a1 (x1(2), x2()x1(t) + ara(x1(2), x2()x2(t)
+ ap3(x1 (1), X2 ()T (1) + ara(x1 (1), x2())x1 (D) x2(1)
+ars (e (1), x2(0)x3 (1) + ar6 (1 (1), x2(0)x7 (Dx2(1)
+ a7 (x1 (1), x2()x1 (X5 () + ar(x1 (1), x2(1)), )
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X2(t) = Sa(x1 (1), x2(1))
= a1 (x1 (1), x2(0))x1 (1) + a2 (x1 (1), x2(1)x2(1)
+ a3 (x1(1), X2 ()T (1) + a4 (x1(1), x2(£)x1 (1) x2(t)
+ a5 (x1 (1), X2(1)x3 (1) + az6(x1 (1), x2(0))x7 () x2 (1)
+ a7 (x1 (), x2(1)x1 (3 () + azg (x1 (1), x2(1)). (10)

Forl =1, 2, we have

m—1n—1 m—1n—1 m—1n—1

an (0. x0) = D> . an@i0).x0)= Y. D> ah. a0, xn0)= > > af.

i=1 j=1 i=1 j=1 i=1 j=1

m—1n—1 m—1n—1 m—1n—1

a1 (). x20) = D> . asi@.x00)= > > ak. asxi@®).x0@0) =D > al.
i=1 j=1 i=1 j=1 i=1 j=1
m—1n—1 m—1n—1

an(x1 (). x2(0) = > > ap. as(i@®.xn0)= > > al.

i=1 j=1 i=1 j=I

The local coefficients on the piece (i, j) are defined as:
When (x1 (1), x2() ¢ [x{ ", x{ {1 x [x? x )1,

ij ij ij ij ij ij ij
an =qQp =ap3 =4 = a5 = g = ap —azs =0,

1 (@D (2) (2) e (1)
and when (x1(¢), x2(2)) € [x; ", [+1] X [x J+1] h = X — X hy =
e e
Kj+1 =%
(2) 0(1) 1 (2 1(l) (2) 0(1) {1 2 1)
all = (= xj+] ij +xt+lx/+l ij +xj+] i+1,j X xj+lci+] J
(2) 0(1) 1 () 1) 2) 0) 1 (2) 1)
+x lj+1 'xl+l'x ¢, Jj+1 xj Citl, Jj+1 +x x/ Citl, j+1)/h]h2’
i Q)] 0(1) @O 2 20) (1 0(1) (l) 2) 20
ap = (=X 3065 F XX 06 T X T XX G
1 00 1 (2 2(1) 1 00 (1) 2) 2(1)
X0 a1 T XX Gl =X G X X6 )/ B,
ij

2) 11 2 ll 2) 11 2) 1d
a = (- x;jlc()_‘_ @ 10 —‘,—x() o) @, () )/ hiha,

ij (CQfl) KD 1O @ 20 00 + @ 1) + @ 20

Xj+1€i+1,) j Cij+1 T Cigl 41

Ay = Xi+16ij Xj+16ij Civ1,j TX Ciy1j TXj41Ci+1.j
0 el P ey xR sy P
P T T
= el el el s,
ap = (" - ?i’%, - c?S’L +c?i’i,,-+1>/h1hz,
i = 2 P AP
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The proof of this theorem can be completed by the method analogous to that of
Theorem 1. According to this theorem, it follows that we can piecewisely solve the
solutions of (9) and (10).

Example 2 InExample 1,let x;(t) = y(¢), x2(¢) = y(¢), then the simulation curves
and the original curves of x1(¢) and of x,(¢) are shown in Figs. 1 and 2, respectively.

4 Comparison of Different Fuzzy Inference Modeling
Methods

In this section, a simulation experiment under condition of time-invariant will be pro-
vided to compare approximation performance of the models using different fuzzy
modeling methods. They are fuzzy inference modeling method based on T-S fuzzy
system, fuzzy inference modeling methods mentioned in references [11, 12], and
fuzzy inference modeling method based on fuzzy transformation [13]. By compar-
ing the maximum approximation errors of the input-output models and state-space
models, it turns out that the proposed method is effective and superior in approxi-
mating equations.

In order to evaluate approximation capability of the proposed method, different
fuzzy inference modeling methods are used to simulate the Var der Pol equation. The
set of the initial values and the numbers of rules are the same as those of Example
1. We make careful comparison and overall summary of approximate effect of these
models. For simplicity, the following notations are needed:

Model I represents the model using fuzzy inference modeling method based on
Mamdani fuzzy system [11].

Model II represents the model using fuzzy inference modeling method based on
fuzzy transformation [13].

Model III represents the model using fuzzy inference modeling method based on
T-S fuzzy system.

The simulation curves of the three models of the Var der Pol equation are similar
to Figs.1 and 2. In order to directly distinguish which model has more powerful
ability to approach the Var der Pol equation, the maximum approximation errors of
the input-output models and the state-space models are given in the below two tables.

As can be seen in Tables 1 and 2, the max errors of the model using fuzzy inference
modeling method based on T-S fuzzy system is smaller than those of the model using

Table 1 Max errors of different input-output models

Max error Model

Model 1 Model 11 Model 11T
The max errors of y(¢) | 0.2650 0.5202 0.2471
The max errors of y(t) | 0.5745 0.7834 0.4318
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Table 2 Max errors of different state-space models

Max error Model

Model 1 Model 1T Model III
The max errors of x;(¢) | 0.2650 0.4581 0.2471
The max errors of x;(t) | 0.5745 0.6642 0.4318

fuzzy inference modeling method based on Mamdani fuzzy system and the model
using fuzzy inference modeling method based on fuzzy transformation. The approx-
imation effect is better than the other two methods, so fuzzy inference modeling
method based on T-S fuzzy system has the superiority to some extent.

5 Conclusion

This paper presents a fuzzy inference modeling method based on T-S fuzzy system.
We model the time-varying and time-invariant second-order freedom movement sys-
tems and simulate the Var der Pol equation by the obtained differential equation
model. Moreover, we compare the simulation results of this model with another two
models using the fuzzy inference modeling method based on Mamdani fuzzy system
and the fuzzy inference modeling method based on fuzzy transformation. It is shown
that the proposed method can better approximate the original equation.

Acknowledgments Thanks to the support by National Science Foundation of China (No. 90818025
and No. 61074044).
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Extended General Variational Inequalities
and General Wiener-Hopf Equations

Xiao-Min Wang, Yan-Yan Zhang, Na Li and Xiu-Yan Fan

Abstract In this paper, we show the extended general variational inequality prob-
lems are equivalent to solving the general Wiener—Hopf equations. By using the
equivalence, we establish a general iterative algorithm for finding the solution of
extended general variational inequalities. We also discuss the convergence criteria for
the algorithm. Our results extend and improve the corresponding results announced
by many others.

Keywords Variational inequalities - Wiener—Hopf equations - Iterative algorithm

1 Introduction

Variational inequality theory describes a broad spectrum of interesting and important
developments involving a link among various fields of mathematics, physics, eco-
nomics and engineering sciences [1—11]. Projection methods and their variant forms
including the Wiener—Hopf equations are being used to develop various numerical
methods for solving variational inequalities. It has been shown that the Wiener—
Hopf equations are more flexible and general than the projection methods. Noor
[1-7] and Qin [10] have used the Wiener—Hopf equations technique to study the sen-
sitivity analysis, dynamical systems as well as to suggest and analyze several iterative
methods for solving variational inequalities. A new class of variational inequalities
involving three nonlinear operators, which is called the extended general variational
inequalities, is introduced and studied by Noor [9].
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Motivated and inspired by the above research, we establish the equivalence
between extended general variational inequalities and general Wiener—Hopf equa-
tions in this paper. This alternative formulation is used to propose and analyze a
new iterative algorithm for computing approximate solutions of extended general
variational inequalities. We also study the conditions under which the approximate
solution obtained from the iterative algorithms converges to the exact solution of
the general variational inequalities. Results proved in this paper may be viewed as
significant and improvement of previously known results.

2 Problem Statement and Preliminaries

Let H be areal Hilbert space whose inner product norm are denoted by (-, -) and || - ||,
respectively. Let K be a nonempty closed convex subset of H. For given nonlinear
operators T, g, h : H — H, we consider the problem of findingu € H : h(u) € K
such that

(Tu,g(v) —h(u)) >0, VYve H:g(v) € K. @))

The inequality of the type (1) is called the extended general variational inequality,
which was introduced by Noor in [9]. We would like to emphasize that problem (1)
is equivalent to that of finding u € H : h(u) € K such that

(Tu+h(m) —gu),g(v) —h(u)) >0, Vyve H : g(v) € K. 2)

This equivalent formulation is also useful from the applications point of view.
We now list some special cases of the extended general variational inequalities.
(D If g = h, then problem (1) is equivalent to that of findingu € H : g(u) € K
such that
(Tu,g(v) —gw)) =0, Vve H :g(v) € K,

which is known as general variational inequality, introduced and studied by Noor
[3].

(II) For g = I, the identity operator, the extended general variational inequality
(1) collapses to: Find u € H : h(u) € K such that

(Tu,v—nh)) >0, Vwwe K,

which is also called the general variational inequality; see Noor [6].

(IIT) For h = I, the identity operator, then problem (1) is equivalent to that of
finding 4 € K such that

(Tu,g(v) —u) >0, Yve H: g(v) € K,

which is also called the general variational inequality, see Noor [8].
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(IV) For g = h = I, the identity operator, the extended general variational
inequality (1) is equivalent to that of finding u € K such that

(Tu,v—u) >0, Vve K,

which is known as the classical variational inequality.

V)If K* = {u € H; (u,v) > 0,Vv € K} is a polar (dual) convex cone of a
closed convex cone K in H, then problem (1) is equivalent to that of finding u € K
such that

gu)e K, TueK*, (g(u), Tu)=0

which is known as the general complementarity problem, which includes many pre-
viously known complementarity problems as special cases; see [2, 3, 6].

From the above discussion, it is clear that the extended general variational inequal-
ity (1) is most general and includes several known classes of variational inequalities
and related optimization problems as special cases. These variational inequalities
have important applications in mathematical programming and engineering sciences.

Related to the variational inequalities, we have the problems of solving the
Wiener-Hopf equations. Now let

Ok =1—gh 'Px,

where Py is the projection of H onto K, I, is the identity operator. If g1, h~! exists,
then we consider the problem of finding z € H such that

0 'Qkz+Th 'Pxz =0, 3)

where p > 0 is a constant. Equations of the type (3) are called general Wiener—Hopf
equations. Note that, for g = &, we obtain the original Wiener—Hopf equation, intro-
duced by Shi [11]. It is well known that the variational inequalities and Wiener—Hopf
equations are equivalent. This equivalent has played a fundamental and basic role
in developing some efficient and robust methods for solving variational inequalities
and related optimization problems.

Recall the following definitions:

Definition 2.1 An operator T : H — H is said to be:

(I Strongly monotone if there exists a constant « > 0 such that
(Tu—Tv,u—v)>alu— v||2, Yu,v € H.
(II) B-Lipschitz continuous if there exists a constant 8 > 0 such that
|Tu —Tv| < Bllu—v|,Yu,v e H.

(IIT) w-coercive if there exists a constant . > 0 such that
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(Tu—Tv,u—v)> u||Tu — Tv||2, Yu,v € H.

Clearly, every p-coercive operator is 1/u-Lipschitz continuous.
(IV) Relaxed n-coercive if there exists a constant > 0 such that

(Tu—Tv,u—v) > (—m|Tu — Tv||2, Yu,ve H
(V) Relaxed (w, t)-coercive if there exist two constants w, ¢ > 0 such that
(Tu—Tv,u—v) > (—w)||Tu — Tv||2 + tlu — v||2, Yu,v € H.

For w = 0, T is strongly monotone. This class of mappings is more general that the
class of strongly monotone mappings.

We also need the following well-known result.

Lemma 2.1 Let K be a closed convex subset of H. Then, for a givenz € H,u € K
satisfies the inequality
u—z,v—u)>0, Ywwe Kk,

if and only if u = Pk z, where Pk is the projection of H onto K.

It is well known that the projection operator Pk is a nonexpansive operator.

3 Main Results

First of all, using the technique of Noor [2], we prove the following result.

Theorem 3.1 The extended general variational inequality (1) has a solution u €
H : h(u) € K if and only if z € H satisfies the general Wiener—Hopf equation (3),
where

z=gw)— pTu,h(u) = Pxz,

where Pk is the projection of H onto K and p > 0 is a constant.

Proof Letu € H : h(u) € K be a solution of the extended general variational
inequality (1). Then, from (2), we have

(h(u) — (g(u) — pTu),g(v) —h(u)) >0, YWwe H:g(v) e K
which implies, using Lemma 2.1, that

h(u) = Px(g(u) — pTu).
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Using Qg =1 — gh_lPK, we have

(I — gh™ " Px)(g(u) — pTu) = g(u) — pTu — gh™" Pk (g(u) — pTu)
=g) — pTu — ghflh(u) =—pTu
= pTh™ ' Px(g(u) — pTu).

It follows that
p 'Qkz+ Th™'Pxz =0,

where z = g(u) — pTu.

Conversely, let z € H be a solution of the general Wiener—Hopf equation (3).
Then, we have

pTh™'Pxz = —Qkz=(gh 'Px — Nz =gh ' Pxz—z. 4)
It follows from (4) and Lemma 2.1 that
0<(gh™'Pxz—z,80v) — gh ' Pxz) = (pTh™ ' Pxz, g(v) — gh™' Pxz)

forallv € H : g(v) € K. It follows that u = h~! Pgz, that is, h(u) = Pxz is a
solution of (1) and g(u) = gh_1 Pk Z. Using (4), we have

z=gW)—pTu.

This completes the proof.

From the above Theorem 3.1, one can easily see that extended general variational
inequalities and general Wiener—Hopf equations are equivalent. This equivalent is
very useful from the numerical point of view. Using this equivalence and by an
appropriate rearrangement, we suggest and analyze the following iterative algorithms
for solving the extended general variational inequalities (1).

The general Wiener—Hopf equation (3) can be rewritten as

QOxz=—pTh™ ' Pgz,

which implies that
z—gh™'Pxz=—pTh ' Pxz,

Thus
7= gh_lPKz — ,oTh_lPKz =g(u) — pTu.
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Using the equality z = (1 — @)z + @, 2z, we obtain
2=00—a)z+an(gu) — pTu).

This formulation enables us to suggest the following iterative algorithm for solving
the extended general variational inequalities (1).

Algorithm 3.1 Foranyzg € H,compute the sequence {z,,} by the iterative processes
h(up) = Pgzn, 2n = 8Un) — pTup, Zns1 = (1 —ay)zn + o, (g Un) — pTuy). (5)

In order to prove our next main result, we need the following lemma.

Lemma 3.1 ([10]) Assume that {a,} is a sequence of nonnegative real numbers such
that
ap+1 < (1 —=Anay +b,, VYn > no,

where nq is some nonnegative integer, {A,} is a sequence in [0,1] with ZZO:I —_—
o0, by, = o(\y), then
lim, o0 a, = 0.

Theorem 3.2 Let K be a closed convex subset of a real Hilbert space H. Let g :
H — H be a relaxed (w1, t1)-coercive and (11-Lipschitz continuous mapping, h :
H — H be a u1-Lipschitz continuous mapping and let T : H — H be a relaxed
(w2, t2)-coercive and y-Lipschitz continuous mapping. Let {z,}, {u,} and {h(u,)}
be sequences generated by Algorithm 3.1, {oy,} is a sequence in [0, 1]. Assume that
the following conditions are satisfied:

200+ 6, < 1, (ChH

where 01 = \/1 +u? =2t +2w1u3, 6 = \/1 + p2u3 — 2ptr + 2pw 3.

Z:ozo = oo. (C2)

Then the sequence {z,}, {un} and {h(u,)} converge strongly to z*, u™ and h(u™),
respectively, where z* € H is a solution of the general Wiener—Hopf equation (3),
u* € H : h(u*) € K is a solution of the extended general variational inequality (1).

Proof Letting z* € H be a solution of the general Wiener—Hopf equation (3), we
have

h®) = Pgz*, 2" =gW") — pTu*, 2" = (1 — )" +an(gW®) — pTu"),

where u* € H : h(u*) € K is a solution of the extended general variational
inequality (1). Observing (5), we obtain
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lzn+1 — 2%l = (1 — )z + otn (g(un) — pTuy) — 2%
= (1 — an)zn + an(gn) — pTuy) — (1 — o) 4+, (gW™) — pTu™)||
<0 —alzn — 2 + anllgn) — gw*) — p(Tu, — Tu")|. (6)

On the other hand, we have

lg(un) — &™) — p(Tu, — Tu™)||
= |lup, — u* — (up — M*) + g(un) - g(u*) —po(Tu, — Tu*)“
< up —u* — (gun) — gD + lup — u* — p(Tu, — Tu®)|. (7)

Now, we shall estimate the first term of right side of (7)

lun — u* — g(un) — g™
= llun — u*I* = 2(g(un) — ™), up — u*) + 1(g(un) — g@*)|?
< llun — u*|1* + 201 1gWn — g 1* = 211 lun — u*|1* + llg(un) — gw™)||*
< llun — ¥ + 2uf o1 llup — w*I* = 261 Jun — w* 1> + pf lun — u*|?

= (1 +2pdwy — 211 + D) lup — u* > = 03 lun — u*)?, (8)

where 61 = \/1 + 2u%a)1 -2 + ,u%.
Next, we shall estimate the second term of right side of (7)
lun — u* — p(Tuy — Tu®)|
< llun — w*l1* = 20(Tup — Tu*, uy — u*) + p*|| T, — Tu*||?
< llun — u*|* + 2p@2 | Tuy — Tu*||* = 2pt2|lun — u*||* + p*|| Ty — Tu*|*
< llun — u*|* + 2p@2 | Tuy — Tu*||* = 2pt2llun — u*||* + p*|| Ty — Tu*|*
= (14 2ppsw2 — 2pty + p*13) lun — u*|I* = 03 ||u, — u*|1%, ©9)

where 6, = \/1 + ZpM%wz —2ptr + p2,u%.
Substitute (8) and (9) into (7) yields that

llg(un) — gW™) — p(Tup — Tu™)|| < (01 + 62)lluy — ™. (10)
Substituting (10) into (6), we arrive at
lznt1 — 2% < (1= o) llzns1 = 271 + @n (01 + 62) lun — u™|l. 1D
Observe that

lup — ™|l = llun —u™ = (h(un) = h(W*) + (Px zn — Px 2| < Otllun —u™ |+ llzp41 — 2%,
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which implies that

oy —u™|| < — lzn+1 — 2" (12)
Now, substituting (12) into (11), we have that
01+ 6>
lznr1 — 2" < (1 — (1 — 1_—61))||Zn+1 -z,

From condition (C1), (C2) and Lemma 3.1, we have
limy, 00 l|1Zn41 — Z*” = 0.

From (12), we have
lim,, o0 lup — u™|| = 0.

On the other hand, we have
Ih(un) — h@)|| < prllug — u™|l.

It follows that

This completes the proof.

4 Conclusion

In this paper, we show that the extended general variational inequalities are equivalent
to the general Wiener—Hopf equations. A general iterative algorithm for finding the
solution of extended general variational inequalities is established by the equivalence.
We also discuss the convergence criteria for the algorithm.
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Econometric Study on the Influencing
Factors of China Life Insurance Product
Demand Based on Fuzzy Variable Time
Series

Xiao-yue Zhou and Kai-qi Zou

Abstract In this paper a new kind of time series named fuzzy variable time series
is proposed and the econometric models of the influencing factors of China life
insurance product demand based on it are constructed. This paper focuses on the
importance of the variable with fuzziness and defines the discrete and continuous
fuzzy variable time series. The multiple regression model and long-term equilibrium
regression model of influencing factors of China life insurance product demand
based on fuzzy variable time series are gotten. The gap between the econometrics
and fuzzy mathematics is bridged by the concept of fuzzy variable which will lead
a new development pattern for quantized model of econometrics.

Keywords Fuzzy variable - Fuzzy variable time series - Influencing factor

1 Introduction

The analysis of life insurance demand of modern life theory is based on the expected
utility theory and it is established by Menahem in 1965 [1]. In the early studies, the
multiple regression models are applied to study the demand factors of life insurance
products [2—-5]. Later, the panel data model, time series model and the autoregressive
distributed lag model are applied to discuss this problem on many interrelated ref-
erence literatures [6-9]. In these researches, a kind of variable is always neglected
which is the variable with fuzziness, such as the higher educational level, and so on.
The model can’t be scientific enough if the data are not denoted correctly [10]. For
the fuzziness of these data nothing but fuzzy logic can be applied and more and more
researchers realize the importance of it. In the work of [11-13], Song and Chissom
presented the theory of fuzzy time series to overcome the drawback of the classical
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time series methods. They defined the universe of discourse and proposed the fuzzy
set and fuzzy relationship. Later, many scholars began to focus on fuzzy time series
and some achievements are gotten [14—16]. In these papers, the authors deal with the
forecasting problems under a fuzzy environment and they get some fuzzy inferential
rules which are different from any stochastic methods. But these fuzzy time series
are impossible for the researchers to get an econometric model and the quantity rela-
tionship of variables. In order to find the variables with fuzziness for econometrics,
we have to seek after new ways.

2 Fuzzy Variable Time Series

2.1 Definitions of Fuzzy Variable Time Series

In classical econometrics the variables can be classified into exogenous variable,
lagged dependent variable and dummy variable. In empirical analysis some econo-
metric data with fuzzy characteristics are not defined rationally such as the educa-
tional level of the whole population. The educational level should be expressed by
fuzzy language such as ‘high’, ‘not high’, ‘low’ or the grade of membership. That
means it should be a variable represented by fuzzy sets. But the ratio of the graduates
to the whole population is usually used to represent the educational level in econo-
metric model and the importance of people with other educational level is ignored.
The method of fuzzy variable based on fuzzy theory is proposed to solve this problem
in this paper. The variable with fuzzy characteristic is defined as fuzzy variable.

Definition 2.1 Letu € U.
ua U — [0, 1].

Here 4 is a mapping from U to the interval [0, 1] and A is called a fuzzy subset in
U. i is called the membership function of A and written as (4. The value of w4 (1)
represents the grade of membership of u in A and it shows the grade that u belongs
to Ain [17].

Definition 2.2 Let ay;, ; be the time series of a variable of period j in econometrics.
pa:U—10,1],

W 4 1s the membership function of A. The value of 1 4 (¢;) is the grade of membership
of u; to A. Let

Dot Guyj - A (uq)

Z:‘l:l Qu; j

Here u = 1,2,...,n, Z;‘:l ay; j is the sum of a,, ; of period j. z; is called the
discrete fuzzy variable time series of period j.

lj =
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The continuous fuzzy variable time series z, of time x are gotten and listed as:

_ fx):) A ;) - ay;ydy

X
X0 au,-ydy

ix

forxg <x <1.

Definition 2.3 Let z; be the fuzzy variable time series of period j.

X k Do Guyja(u)
— — E(r) — 2j=1%j 2= i1 Auj
=k === k

z; is defined as the mean of z; and it denotes the average level of z;.

Sk @ —T)?

D(zj) = P

D(z;) is defined as the variance of z; and it measures how the data z; is close to
the mean.

In Papers [18-20] get some econometric models based on fuzzy variable time
series are gotten and the results show that they can be applied in econometric study
and make the models more objective and accurate. The application of fuzzy variable
combined econometrics with fuzzy mathematics basically.

2.2 An Example of Fuzzy Variable Time Series

The data are always real numbers in practical study and it is very significant for
the researchers to get fuzzy variable time series for the variables with fuzziness
accurately. In econometrics, some variables with fuzziness are not denoted scientific
enough such as the variable ‘level of population ageing’. Ageing of population is a
summary term for shift in the age distribution of a population toward older ages. For
consciousness of the old age security, the higher the level of the population ageing
is, the more the demand of life insurance product is. The ‘level of population ageing’
is usually defined by the ratio of the people whose age is above 60 to the whole
population. But ‘the level of the population ageing’ is a fuzzy concept and it should
be quantized by the method of fuzzy variable. Consider L.A. Zadeh’s membership
function of ‘old people’, the membership function of age u to fuzzy set A ‘level of
population ageing’ is defined as shown:

-1
1_[1+(265;25)2] if uj <26
N —1
pa) =11 iy g2 i < <79 M
| if u; > 80
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The fuzzy degree of fuzzy set A ‘level of population ageing’ is calculated by (1),

that is 5 %
L(A) = o5 > latus) = Aos(ui)] = 0.4096.

L(A) states that the variable data ‘level of population ageing’ is so fuzzy that fuzzy
variable should be used to denote it. The fuzzy variable time series of the ‘level of
population ageing’ in China from 1995 to 2007 are gotten as below.

Z1995 = 0.4409, 71996 = 0.5181, z1997 = 0.4715, 21998 = 0.4837, 21999 = 0.4946,
72000 = 0.5064, 7001 = 0.5131, 72002 = 0.5267, 73003 = 0.5464, 25004 = 0.5487,
22005 = 0.5022, 72006 = 0.5227, 2997 = 0.5162

The fuzzy variable time series of ‘level of population ageing’ reveal that the
ageing of population is deeper and deeper and our country is a representative nation
of ‘getting old’ as shown in Fig. 1.

What’s this trend telling us? The improvement of medical conditions and the rising
of living standards bring rapid ageing population which leads China to an ageing
society. Not only old people but also young people need life insurance products, so it
is necessary to consider the demand of whole population when we study the demand
for life insurance products.

0.56

0.54

0.52+

0.50

0.48-

0.46+

0.44

95 96 97 98 99 00 01 02 03 04 05 06 07

Fig. 1 Fuzzy variable time series of the level of population ageing from 1995 to 2007
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3 Influencing Factors Models of China Life Insurance
Product Demand

3.1 Multiple Regression Model of the Influencing Factors of
China Life Insurance Product Demand

In econometrics, linear regression is an approach for modeling the relationship
between a scalar dependent variable y and one or more independent variables denoted
x. For more than one independent variable, the process is called a multiple linear
regression. Thus the normal model takes the form

yi = Bo+ Bix1i + Boxoi + -+ Brxri +pi i =1,2...,n

In this model, y is the dependent variable, x{;, x2;, . . ., Xz; are called independent
variables, B is the parameters to be estimated and n is the sample size. This paper
applies the multiple regression models to study the demand relationship between life
insurance products and its influencing factors.

3.1.1 Dependent Variable of the Model

The amount of money to be charged for a certain amount of insurance coverage is
called the premium. The more the premium is the more the demand of life insurance
product is. In the model the premium of China life insurance industry is taken as the
dependent variable. Because it increases rapidly, the logarithm of it is gotten into the
model, noted by LNPREMIUM.

3.1.2 Independent Variables of the Model

(1) Economic development level
The gross domestic product (GDP) and per capita disposable income (INCOME)
are used to represent this factor.

(2) Related goods
The substitute goods of life insurance product are the saving, stock, real estate,
and so on. For the short-term nature of stock investment and the long-term nature
of life insurance product, the factor of stock isn’t put into the model in this paper.
Because the substitute relationship between saving and life insurance product
is not obvious enough, the author doesn’t focus on it. The cross-elasticity of
demand between life insurance product and real estate is bigger than 0 which
denotes that the real estate (HOUSE) can be considered as the substitute good
of life insurance product as shown in Table 1.
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Table 1 Cross-elasticity of demand between life insurance product and real estate

1998 | 1999 2000 2001 |2002 |2003 |2004 |2005 |2006 |2007 |2008

Cross- 6.99 | —32.69 (470 |15.12 1599 |6.52 |0.37 |0.99 |1.78 |147 |1.52

elasticity

(3) The factors of population

The most important factors of population are the total population of China (POP-
ULATION), the age structure (AGE) and the degree of culture form (CULTURE).
If the proportion of old people to the whole population rises the demand of life
insurance product will increase. The proportion is denoted by the ageing of pop-
ulation and its fuzzy variable time series are gotten in 2.2 already. The awareness
of insurance is enhanced with the degree of culture of the population being higher
and higher.

The L-fuzzy degree of the degree of culture form is 0.4 which shows that it is so
fuzzy that it should be defined according to the method of fuzzy variable. The
fuzzy variable time series of the degree of culture form from 1993 to 2010 are
gotten as below.

21993 = 0.2722, 21994 = 0.2689, 21995 = 0.2711, z199¢ = 0.2748, 21997 = 0.2716,
71998 = 0.2753, 21999 = 0.2813, 7000 = 0.2881, zo901 = 0.2889, 25002 = 0.2826,
72003 = 0.2846, 29004 = 0.2917, 25095 = 0.3031, zp006 = 0.3205, zp9g97 = 0.3407,
72008 = 0.3637, 23009 = 0.3807, 22919 = 0.3957

The degree of culture form in China is rising slowly as shown in Fig.2.
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0.4000

0.2000
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0.0000
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Fig. 2 Fuzzy variable time series of the degree of culture form from 1993 to 2010
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3.1.3 The Multiple Regression Model of the Demand Factors of China
Insurance Life Product

The multiple regression model is gotten as shown:

LNPREMIUM = —806.02 + 1.34 * AGE + 6.24 * LNCULTURE — 9.16 * LNGDP+
0.50 x* LNHOUSE + 6.13 %« LNINCOME + 73.71 « LNPOPULATION

R-squared=0.993915, F-statistic=163.3274, Durbin-Watson stat=2.1070
By rejecting the variable POPULATION, the short-term multiple regression model
of the demand factors of China life insurance industry is shown as:

LNPREMIUM = —39.17 + 2.0837 * AGE + 4.7506 x* LNCULTURE+
3.5759 x* LNGDP — 0.8056 +* LNHOUSE + 0.4751 « LNINCOME

Some conclusions are gotten from this model. Firstly, the level of economic devel-
opment is very important to the demand of China life insurance product. When GDP
or INCOME increases 1 %, the demand of China life insurance product will increase
3.58 or 0.474 %. The economic development will promote the demand of life insur-
ance product and the life insurance industry grows fast in economic developed area.
Secondly the degree culture form increases 1 %, the demand will increases 2.0827 %.
The result shows that the CULTURE plays an important role in the life insurance
industry developing and the demand of life insurance product will increase with
the deepening of the aging degree in China. At last, the coefficient of real estate is
negative which illustrates the substitute relationship between life insurance product
and real estate. The demand of life insurance product will reduce if the house price
increases continously.

3.2 The Long-Term Equilibrium Regression Model of the
Influencing Factors of China Life Insurance Product
Demand

The theory of cointegration is the basis of dynamic econometrics. For the cointegra-
tion relationship of dependent variable and independent variable the autoregressive
distributed lag model can be changed to VEC model.

In most cases, if we combine two variables which are I(1), then their combination
will also be I(1). More generally, if we combine variables with differing orders of
integration, the combination with differing orders of integration, the combination will
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have an order of integration equal to the largest. i.e. If X; , ~ I(d;) fori = 1,2, ..., k,
so we have k variables each integrated of order d;.

Let
k
it = zaixi,t
i=1

Then z; ~ I(max d;).

Definition 3.1 Let z; be a k x 1 vector of variables, then the components of z; are
cointegrated of order (d, b) if

(i) All components of z; are I(d)

(ii) There is at least one vector of coefficients « such that az, ~ I(d—b).

The variables are cointegrated which means that a linear combination of them
will be stationary. Johansen and Juselius proposed a method of testing the cointegra-
tion of variables called JJ test in 1990s. By JJ testing the InPREMIUM, InHOUSE,
InINCOME are cointegrated under the level of 5 % and a long-term model is gotten.

InPREMIUM = ¢ 4 6.92561nINCOME — 6.0509InHOUSE

Focus on this model, the conclusions that the demand of life insurance is pro-
portional to per capita disposable income (INCOME) and inversely proportional to
the real estate price over a long period of time are gotten. The results show that the
economic developing level take great influence on the demand of China life insur-
ance industry. The rising wages and regulation of housing price will lead to a higher
demand of life insurance product in the long run.

4 Conclusion

The techniques used in econometrics have been employed in a widening variety
of fields, including political methodology health economics, and numerous others.
Many researchers focus more attention on the applications of econometrics but the
variable data with fuzziness are always neglected. The author proposes a new kind
of variable named fuzzy variables according to fuzzy theory. The discrete and con-
tinuous fuzzy variable time series are gotten and they can be applied in econometric
models and data mining. In this paper the short-term and long-term demand factors
models of China life insurance industry are gotten by using the method of fuzzy
variable time series. The results show that the economic developing level take great
influence on the demand of China life insurance industry and the structure of age has
the same changing direction with the demand of life insurance industry.
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Sufficient Conditions of Cut Sets
on Intuitionistic Fuzzy Sets

Yiying Shi, Xuehai Yuan, Yuchun Zhang and Yuhong Zhang

Abstract In this paper, a monomorphism is established from the three-valued fuzzy
sets to intuitionistic fuzzy sets, and with this monomorphism, the three-valued fuzzy
sets can be embedded in intuitionistic fuzzy sets. Then the general definition of the
cut sets on the intuitionistic fuzzy sets is proposed. Finally, the axiomatic descriptions
for different cut sets are presented and three most intrinsic properties for each cut
sets are listed.

Keywords Intuitionistic fuzzy sets + Cut sets - Sufficient condition - Monomor-
phism

1 Introduction

Since the concept of fuzzy sets was proposed by Zadeh in 1965, the theory has been
widely applied in many fields [1]. It deals with inference that is approximate rather
than exact. Compared with classical sets, in which the value of the variable is zero or
one, fuzzy logical sets variable may have the truth value that ranges between 0 and
1in degree. But in the fuzzy membership function, the degrees of certainty, negativ-
ity and uncertainty can’t be expressed simultaneously. Usually a certain degree of
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hesitation or uncertainty is existed in cognitive process of human beings which makes
people’s perception expressed as certainty, negativity and uncertainty. So in 1983,
Atanassov put forward the concept of intuitionistic fuzzy sets covering membership,
non-membership and hesitation degree [2, 3]. In recent years the theory is utilized
in decision-making, fuzzy control, logic programming and pattern recognition, etc.

In theory of fuzzy sets and systems, cut sets are the bridges between the fuzzy
sets and classical sets which play significant roles in fuzzy optimization, decision
making [4, 5], fuzzy algebra [6, 7], fuzzy reasoning [8, 9], fuzzy topology [10, 11],
fuzzy measure, fuzzy analysis [12—-16], fuzzy logic [17], and so on. Based on cut
sets, the decomposition theorems and representation theorems can be established
[18]. The cut sets of intuitionistic fuzzy sets are studied in [19], and the cut sets,
the decomposition theorems and representation theorems on intuitionistic fuzzy sets
are studied in [20, 21]. These results play an active role in the corresponding fuzzy
systems. But until now there are not axiomatic descriptions for the cut sets of the
intuitionistic fuzzy sets. Therefore, in this article we present axiomatic descriptions
for different cut sets. This paper is organized as follows: The preliminaries are listed
in Sect. 2. The definition of the f-cut sets and the sufficient conditions are introduced
in Sect.3. And Sect.4 is the conclusions.

2 Preliminary

Definition 1 ([1]): Let X be a set .The mapping A : X — [0, 1] is called a fuzzy
subset of X.

Definition 2 ([20, 21]): Let X beasetand u4 : X — [0,1],v4 : X — [0, 1] be
two mappings. If

ma(x) +vax) <1,Vx e X

then we call A = (X, 4, v4) an intuitionistic fuzzy set over X, and denote A(x) =
(a(x), va(x)).

Let ZF(X) denote the class of all intuitionistic fuzzy sets over X, and A =
(X, ma,va) € IF(X), B = (X, up,vp) € ZF(X).

(1) ACB & palx) < pp(x),valx) > vp(x), Vx € X.

(2) A° = (X, va, 1a).

(3) AU B = (X, naus, vaus), where pnaup(x) = pa(x) vV up(x), vaup(x) =
vA(x) A vp(x).

4) AN B = (X, nans, vanp), where uanp(x) = pa(x) A up(x), vang(x) =
va(x) Vvg(x).

(5) X(x)=(1,0), ¢(x) = (0, 1),¥x € X.
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Definition 3 ([20, 21]): Let A be a subset of X and A € [0, 1].
(D) If Ay, Ay € 3% and

1 pax) = A I pa(x) > A
A@) =13 A <A< T—va(x) , Ap(x) =15 pualx) <A <1—vax)
OA>1—va(x) 0OA>1—-va(x)

then we call A, and A, the A-upper cut set and A-strong upper cut set of A, respec-
tively.
(2) If A*, A% € 3X and

1 va(x) > X 1 valx) > A
A@) =13 <rA=l—pa), AA@={1vn@ <i<l-pix)
0A>1—palx) 0A>1—palx)

then we call A* and A% the A-lower cut set and A-strong lower cut set of A, respec-
tively.
() If Apy, A € 3% and

I patx) +2>1 I patx)+21>1
App() =1 2 va) A <1—pa@) . Ap) ={ 5 va(x) <A <1 —pax)
0 X <valx) 0 X <vax)

then we call Aj;) and A[, the A-upper quasi cut set and A-strong upper quasi cut set

of A, respectively.
4) If A, Al ¢ 3% and

lLvax)+A2>1 1 valx)+A>1
AP =13 pa) <A <T—va) . AB@) =11 pa) <h < 1—va(0)
0 X< palx) 0x=<pal)

then we call AI* and A2] the A-lower quasi cut set and A-strong lower quasi cut set
of A, respectively.

Definition 4 ([20, 21]): Let A € 3%, 1 € [0, 1],
fi 10,11 x3% > LX, A~ fix, A),i=1,2,....8
be the following mappings:
0,1)  Ax)=0 A 1—-2)AX) =0

L AX) =1 A 1-2)Ax) =1, ALK, A)x)=1 (1,0 Ax)=1,
0,1 —2) A(x) =1 >0  Ax) =1
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(1=, 1) A(x) =0

[, A)(x) = | (0, 1) Ax) =1,

0,1 A =3

©0,1) Ax) =0

fs(h, A)(x) = | I=22) A =1,

0,1 A =3

(O, 1—2) A(x) =0

f1, A)(x) = | ©, 1) Ax) =1,

0, 1-2) Ax) =1

then we have the following theorems:

Ja(h, A)(x) = [
Je(h, A)(x) = [

f3(h, A)(x) = [

1,0)

Y. Shi et al.

A(x) =0

(1= 1) A) =1,
(1—2,0) A(x) = 3

(1=, A(x) =0

(LO) Aw =1,
(1-2,0) A(x) =1
(1L0) A =0

O 1—2) AX) =1,

(*,0)

Ax) =13

Theorem 1 ([20, 21]): Let A = (X, 14, va) be an intuitionistic fuzzy set. Then

(1) A= U filk, A= 0 fal, 4.
1€[0,1] 1€[0,1]

2) A= U filk, A= 0 fa(x, ).
2€[0,1] 1€[0,1]

(3) If mapping H: [0, 1] — 3% satisfies

A, CH() C A,

then

A= U fik, HA) = N fr(k, HR)).
2e[0,1] re[0,1]

(I) A <X = H(1) D H(h).
() A= N H).Av= U H@).

Theorem 2 ([13]): Let A = (X, pa, va ) be an intuitionistic fuzzy set. Then
(1) A= U fs(L, A= 0 fah, AY).
r€[0,1] r€[0,1]

2) A= U f30, A5 = 0 fa(x, Ab).
1€[0,1] A€[0,1]

(3) If mapping H: [0, 1] — 3% satisfies

A c H() c AY,

then

() A= U fsO0,HQ)=_ n  fa(x, HQ)).
2€[0,1] 2€[0,1]

(1) M <Xy = H(A1) D H(A).
() A* = DAH(a),Aiz UAH(a).
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Theorem 3 ([20, 21]): Let A = (X, 4, va ) be an intuitionistic fuzzy set. Then

(1) A= U s App=_0  fe(r, App-
1€[0,1] 1€[0,1]

(2) A=_U fs(App=_0  fe(r, Ap-
1€[0,1] = xel0,1] —

(3) If mapping H: [0, 1] — 3% satisfies

Ay CHO) C Apy,

then

1) A=_U s HR)=_ n fe(r, HQR)).

1€[0,1] r€[0.1]
(1) M <Xy = H(A) C H(A).
() Apy= N H(a),Apg= U H(x).

oa>A - oa<A

Theorem 4 ([20, 21]): Let A= (X, 4,v4) be an intuitionistic fuzzy set. Then
(1) A= U fr0, AM)y = 0 f0, AP,

r€[0,1] r€[0,1]

2) A= U fi, AB) = 0 o, AR,
1€[0,1] 1€[0,1]
(3) If mapping H: [0, 1] — 3% satisfies

AM « H) ¢ AP,

then

1) A= U frGHR) = 0 fyr, HQ)).
2el0,11 2el0,1]

(II) 2 < i = H(r) C H(A).
i) A = N H@), A= U H().
a>A a<i

3 Definition of the f-cut Sets and Sufficient Conditions
of the Cut Sets

Lemmal Letrg: 33X 5 TF(X)A — @(A) = (A, A) be a mapping. Then

(1) @ is an injection.
(2) @ can preserve the operations such as union (U), intersection (N) and comple-
mentary (c).

Proof
(1) It is easy to prove.
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(@)
(AU B)(x) = (AU B)(x), 1 — (AU B)(x))
= (A(x) Vv B(x),1 — A(x) vV B(x))
=(A(x) vV Bx), (1 —-AX) AU = Bx)))
= (A(x), (1 = A(x)) vV (B(x), (I = B(x)))
= (¢(A) Ug(B))(x).
p(ANB)(x) = (AN B)(x), 1 = (AN B)(x))
=(Ax) AB(x),1 — A(x) VvV B(x))
=(AX) ABx), (1 —AX) Vv (I - Bx)))
= (A(x), (1 = A(x)) A (B(x), (I = B(x)))
= (¢(A) N@(B))(x).
P(A9)(x) = (A°(x), A(x))
=1 -A®x), AX))
= (A(x), (I — A(x))*
= (@(A))(x).

Remark By Lemma 1, itis can be concluded that A and ¢(A) constitute a monomor-
phism. That is to say, A has no distinctive with ¢(A). By the above lemma, the
three-valued fuzzy sets can be viewed as the intuition fuzzy sets, so in the following
A and ¢(A) can be indiscriminately.

Definition Let f: [0, 1] x ZF(X) — 3% be a mapping, then we call f(1, A) is a
f-cut set of the intuition fuzzy set A.

Property 1 If the mapping f: [0, 1] x ZF (X) — 3% satisfies the following con-
ditions:
teT teT
(2) When X > 0 and A is a three-valued fuzzy set, we have f(A, A) = A.
(3)
X o> A

f, fala, A)) = FOL A o<

ThenVA € IZF(X),Y A € I, we have f()\, A) = A;.
Proof When A >0,

f,A) = fQ, sz(ot, Aq))
= Qf()», Sale, Ag))
= F O, e, Ag))
= F, Ag)
= N Ag

a<A

= A,.

When A =0, we let @ > 0, then f(A, fo(x, A)) = X = Ayp.
Therefore, VA € ZF(X),V A € I,we have f(A, A) = A;.
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Property 2 If the mapping f: [0, 1] x TF(X) — 3% satisfies the following condi-
tions:
(1) f, U A)= U f(&, Ap).

teT teT

(2) When A < I and A is a three-valued set, we have f (A, A) =
(3)
¢ a <A

J @, file, A)) = [f(A,A) o

ThenVA € IF (X),V A € I,we havef()\, A) = A,
Proof When A < 1,
fF,A) = f()hL&Jfl(Oh Ag))
= L&Jf(?»,fl(a, Aq))
=Y F @, fila, Ag))
= U f, A)
= U Ay

a>A

= A,.

When A =1, weleta < 1, then f(A, fi(x, A)) =¢ = A;.
Therefore VA € ZF(X),V A € I,wehavef(A, A)= A

Property 3 If the mapping f: [0, 1] x TF (X) — 3% satisfies the following con-
ditions:
(1) fx, 0 Ap) = n S, Ap).

(2) When k > Oand A is a three-valued set, we have f(A, A) =
(3)
X o> A

J @, fala, A)) = [f()\,A) o=

ThenVA € TF (X),V A € I,we have f(A, A) = A*
Proof When A > 0,
FO,A) = f(R, Qf4(a, A%))
= Qf(k, fala, A%))
= agkf(k, fa(a, A%))
e
= N A

a<i

= A*,

When A = 0, we let > 0, then f (A, fa(er, A)) = X = A°.
Therefore VA € ZF(X), VA € I, we have f(A, A) =
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Property 4 If the mapping f: [0, 1] x ZF (X) — 3% satisfies the following condi-
tions:
teT teT
(2) When A < I and A is a three-valued set, we have f(A, A) = A.
(3)
1) a <A

f @, f3le, A)) = lf()»,A) o=

ThenVA € ZF (X), VY A € I, we have f(X, A)= Aj,.
Proof When A < 1,
f,A) = f()»,L&Jf3(Oé, A%))
= U 0. fie, A2)
=Y F @, f3(a, A%))
= 3, 7049
U A%

a>A

= A%,

When A =1, we leta =1, then f(A, f3(a, A)) =¢ = A].
ThenVA € ZF (X),VA €I, wehavef(A, A) = A,.

Property 5 If the mapping f: [0, 1] x ZF (X) — 3% satisfies the following condi-
tions:
(1) f, N A)= N f, Ap).

teT teT

(2) When A < 1 and A is a three-valued set, we have f(\, A)= A.
(3)
X a <A

J @, fola, A)) = [f(k,A) o

ThenVA € IF (X),Y A € I, we have f(X, A) = A
Proof When A < 1,
fO,A) = fO.0 fola, Afa)
=0f O fola, Ap))
= aQAf()», Jo(a, Afa))
= agxf(k’ Ala))
= N A

oa>A

= Apg-

When A =1, weleta =1, then f(X, fo(a, A)) =X = Aqy).
ThenVA € ZF (X),V A € I, wehavef(A, A) = A[y.
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Property 6 If the mapping f: [0, 1] x ZF (X) — 3% satisfies the following condi-
tions:

(1) fx, Y Ap) = Y Fx, Ap).

(2) When )» >0 and A is a three-valued set, we have f(A, A)=

(3)

¢ a > A

F @, fs(a, A)) = oA o<

ThenVA € IF (X), YA €I, we havef(A, A)= Apy)

Proof When A > 0,

SO A) = fOU fs(a, A)
—gf(k f5(e, Aga)
=aL<JAf()»,f5(Ol,A[a7]))
= U SO Are)
=0 Al

a<i

= A[)L

when A =0, we let o« =0, then f(A, fs(a, A)) =¢ = A|g
Then VA € ZF (X),VA e I,wehavef(A, A)= A

Property 7 If the mapping f: [0, 1] x ZF (X) — 3% satisfies the following condi-
tions:
(1) f(h, N A= N f, Ap).
teT teT
(2) When A < I and A is a three-valued set, we have f(A, A)= A
(3)
X a <A

FQ, fa(a, A)) = FO A o>

Then VA € TF(X),V A € I, we have f (1, A)= AP,

Proof When A < 1,

fO, A) = f0. 0 fi(e, AlMD)
=010, fy(e, Al*)
= 0 fO. fyle Al
=0, 70 A%
= n Al

oa>A

= A,
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When A = 1, we let @ = 1, then f(%, fg(a, A)) =X = Alll
Then VA € ZF (X),V , € I, we have f(, A) = Al*],

Property 8 If the mapping f: [0, 1] xTF (X) —3%satisfies the following condi-
tions:

(1) f(, U A = U Fx, Ay).

(2) When )» >0 and A is a three-valued set, we have f(A, A) =
(3)

_ |9 a> A
F, fr(e, A) = oA o<

Then VA € TF(X),V x € I, we have f(A, A)= AL

Proof When A > 0,

FOLA) = f(U fre, Al
—Uf(k fr(a, Al%))
= U fO. frle, Aledy)
v f(/\ Aledy

oa<A

a<h

= A,

When A = 0, we let @ = 0, then f(A, f7(a, A)) = ¢ = AU
Then VA € ZF(X),V A € I, we have f(A, A) = AL

4 Conclusions

This paper establishes a monomorphism which is from the three-valued fuzzy sets
to intuitionistic fuzzy sets, and the three-valued fuzzy sets can be embedded in the
intuitionistic fuzzy sets with this monomorphism. And the general definition of the
cut sets on the intuitionistic fuzzy sets is proposed. Finally, the sufficient conditions
are given which can make the f-cut sets be the existed sets.
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On the Fuzzy Fractional Posynomial
Geometric Programming Problems

F. Zahmatkesh and Bing-yuan Cao

Abstract In this paper we consider the solution method for fuzzy fractional posyn-
omial geometric programming (FFPGP) problems. The problem of concern involves
positive trapezoidal fuzzy numbers in the objective function. The proposed approach
relies on posing the FFPGP problem as a multi-objective posynomial geometric pro-
gramming (MOPGP) problem by using simple transformation and condense tech-
nique. An illustrative example is included to demonstrate the correctness of the
proposed solution algorithm.

Keywords Trapezoidal fuzzy number « Fractional programming - Posynomial func-
tion - Multi-objective posynomial geometric programming

1 Introduction

In various applications of nonlinear programming a ratio of two functions is to be
maximized or minimized. Ratio optimization problems are commonly called frac-
tional programming (FP) problems. Fractional objectives appear in many real world
situations. For instance, we often need to optimize the efficiency of some activities
like cost/time, cost/profit, and output/employee. One of the earliest fractional pro-
grams (though not called so) is an equilibrium model for an expanding economy
introduced by Neumann [16] in 1937. There are different solution algorithms for
determining the optimal solution of particular kinds of fractional programming prob-
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lems. In 1962 Charnes and Cooper published their classical paper [8] in which they
show that a linear fractional program can be reduced to a linear program with help
of a nonlinear variable transformation. Jagannathan [12] supplied theoretical insight
into the relationship between nonlinear fractional programming and nonlinear para-
metric programming. Dinkelbach [9] developed a method based on Jagannathan’s
theorem for solving nonlinear fractional problems. Chang [6] proposed an approxi-
mate approach to solving posynomial fractional programming problems by deriving
the linear programming relaxation of the problem based on piecewise linearization
techniques.

Sakawa et al. [20] used fuzzy mathematical programming to study linear frac-
tional programming (LFP) problems with fuzzy goals or coefficients. Hladik [11]
considered a linear FP problem with interval data and presented a method for com-
puting the range of optimal values. A number of studies have been done by authors
in the field of linear, nonlinear, integer fractional programming and multi-objective
fractional programming problems under fuzziness [7, 15, 18, 19].

According to our experience, it is believed that the solution method in fuzzy
fractional posynomial geometric programming has not been given comprehensive
attention in the literature before. In the present paper, an attempt is made to study
fractional posynomial geometric programming problem with positive trapezoidal
fuzzy coefficients in objective function. The rest of this paper is organized as follows:
fuzzy notations and definitions used in the remaining parts of the paper are presented
in Sect. 2. Section 3 describes fuzzy fractional posynomial geometric programming
problem and presents its solving procedure. Then one numerical example is presented
to illustrate the tractability of the proposed approach in computational efficiency.
Finally, brief conclusions are given in Sect.5.

2 Preliminaries and Notations

In this section, we give some notions and definitions on which our research in this
paper is based.

Fuzzy sets first introduced by Zadeh [21] in 1965 as a mathematical way of
representing vagueness in everyday life. According to [ 14], the characteristic function
s ofacrispsetA C X assigns a value either O or 1 to each member in X. This function
can be generalized to a function p such that the value assigned to the element of
the universal set X fall within a specified range i.e. uz : X — [0, 1]. The assigned
value indicates the membership grade of the element in the set A. The function 3
is called the membership function and the set A = {(x, uz(x)); x € X} defined by
1z (x) for each x € X is called a fuzzy set. A fuzzy set A, defined on the universal set
of real numbers R, is said to be a fuzzy number if its membership function has the
following characteristics:

1. pz : R — [0, 1] is continuous.
2. pz(x) =0forall x € (—o0,a] U [d, o).
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3. pz(x) is strictly increasing on [a, b] and strictly decreasing on [c, d].
4. pz(x) =1forallx € [b, c], wherea < b < c < d.

Definition 2.1 ([14]) A fuzzy number A= (a, b, c,d) is said to be a trapezoidal
fuzzy number if its membership function is given by:

(()1::3* a<x<b,
prx) =11, b<x=<c, (1)
g:j;, c<x<d.

Definition 2.2 ([10]) A trapezoidal fuzzy number A = (a,b,c,d) is said to be
positive (negative) trapezoidal fuzzy number, denoted by A > 0 (A < 0), if and only
ifa>0(c <0).

Definition 2.3 ([13]) Let M = (ay, by, c1, d1), N = (as, b», ¢2, d>) be two positive
trapezoidal fuzzy numbers and A € R*. Then,

XM = (Aay, \by, Acy, Mdy), 2

M 4N = (a; +ay, by + by, c1 + 2, dy + o). (3)

Definition 2.4 ([3]) Let x,...,x, denote m real positive variables, and x =

(x1,...,Xy,) a vector with components x;. A real valued function u of x, with the
form

ux) = cx/'xy> ... x)r, 4)

where ¢ > 0 and 7 € R is called a monomial function, or more informally, a
monomial (of the variables xi, ..., x,). A sum of one or more monomials, i.e., a
function of the form

J
g(x) = Z xR X (5)
k=1

where ¢; > 0, is called a posynomial function or, more simply, a posynomial (with
J terms, in the variables xi, ..., x,,). Posynomials are closed under addition, mul-
tiplication, and positive scaling. Posynomials can be divided by monomials (with
the result also a posynomial): if ¢ is a posynomial and u is a monomial, then % isa
posynomial.

Definition 2.5 ([5]) A multi-objective posynomial geometric programming
(MOPGP) problem can be stated as:
Find x = (x;, X2, ..., x»)7 so as to

J(r) m A0
; () z o Y
min g() ()C)Z k=1 COk [=1x[0kl te{l,2,...,n},
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subject to satisfying:

J,' m : .
gi(x) = Zk:l Cik H]:lxl”’ <1, i=12,...,p, ©

x>0, [=1,2,...,m,

where cg,z and c;; are positive real constant coefficients for all ¢, i, k;
7(()21 and -y, are arbitrary real constant exponents for all ¢, i, k, [;

J(()’) is the number of terms present in the rth objective function g((f) x), t =
1,2,...,n;
J; is the number of terms present in the ith constraint, i = 1,2, ..., p.

In the above multi-objective posynomial geometric programming problem there
are n number of minimization type objective functions, p number of inequality type
constraints and m number of strictly positive decision variables.

3 Problem Formulation and Solution Concept

In this section, a fuzzy fractional posynomial geometric programming problem and
its solution strategy are described.

3.1 Problem Formulation

The problem to be considered in this paper is the following fuzzy fractional posyn-
omial geometric programming (FFPGP) problem:
Find x = (x1, X3, ..., x»)7 so as to

~ I o~ ik

G =200 e [TE, ™
J A~

g(x) = zkzzl Cok lenzl x/m

subject to satisfying:

Ji m .
gi(x) = Zk:l CikHl:lx?” <1, i=3,4,....,p+2,

(7
x>0, [=1,2,...,m,
where x = (X}, X2, ..., X,)! is a variable vector, and T stands for transpose;
¢y and ¢y, are positive real constant coefficients for all k and i = 3,4, ...,p 4+ 2;
¢k = (aik, bix, cik, dix) are positive trapezoidal fuzzy numbers for all k;
Yiri> Y2 and vy are arbitrary real constant exponents forallk, landi = 3,4, ..., p+

2;
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J1 and J, represent the number of product terms of numerator and of denominator in
the objective function, respectively;

J; is the number of terms present in the ith constraint, i = 3,4, ...,p + 2;

g1(x) is fuzzy posynomial function and g¢;(x) are posynomial functions for i =
3,4,...,p+2;

g»(x) is posynomial function and positive for all x in the feasible region.

3.2 Solution Concept

In this subsection, a solution method for the FFPGP problem involving positive
trapezoidal fuzzy coefficient in objective function is presented.

At first based on Eq. (3), optimization problem (7) can be written as the following
equivalent formulation:

Ji m Y1k Ji mo Yk Ji mo Yk Ji m Yk
(Zkzl a [T, X, =1 D1k T2, X Zk:1 e [T Xps Zkzl du TT%, X

S eu iy ™

min

subject to satisfying:

Ji m . .
gi(x) = Zk:l Cik H[zlxlllkl < 17 1= 3,4,.__’p+2’

x>0, [=1,2,...,m.

®)

Next, by using Eq. (2) rearrange the problem (8) to obtain the following equivalent
optimization problem:

Ji o J Yk J VK J ~
Zklzl Ak H;n=| xlmd Zklzl bk H;n=1 x/]“ Zklzl Clk H;n=1 xl'w Zklzl dii H;n=1 xl'w)

min o m ok’ Ja m Yk’ Jo m - Yk’ Jo m Ykl ) (9)
i c2k T2 X, e 2k [T % et 2 [T % i ek [IZ v
subject to satisfying:
Ji m ikl .
gi(x) = Ek_lc,-kHl_lxl <1, i=3,4,...,p+2,
x>0, I=1,2,...,m.
1 J1 m Yk 2 1 m 1k 3
x Liaw [ x x b [T 3
Now, let us define g‘E)) = —2524 “ Hf;‘ =, g'((; = —Z_‘,;‘ — H,’;‘ =, g';;
92tx pyuayeTy | e 92X D ay-Te | e galx

J m J m Yk
Zibew Il g™ gt — e due IT7 ™)
Y2l 20 R el
as the following multi-objective optimization problem:

then the the problem (9) can be understood
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g F@ g ghx)
@) @) g(x)" ga(x)

subject to satisfying:

gi(X)sz 1 ”‘Hl M1 i=34p+2,

(10)

xl>07 l=1,2,...,
In this problem the constraints g;(x) for all i = 3,4, ..., p 4 2, are posynomial
inequalities and constraints x; > O forall / = 1,2, ..., m, are monomial inequali-

ties. They are all allowable expressions required in MOPGP problem. However, the
objective functions are not allowable in MOPGP problem. To deal with this difficulty,
we propose to approximate the denominator posynomials of objective functions with
monomial functions, but leave their numerator as posynomial functions. The required
monomial approximation can be computed using the following arithmetic-geometric
mean approximation.

Consider a posynomial function g(x) = Zi:l uy (x) with u (x) being the mono-
mial terms. Then we have the following expression by the arithmetic-geometric mean
inequality:

Ui (x) )(kk())

R J
g =gw =[] _ = (1)
ar(y)
where the parameters oy (y) can be obtained by computing:
o) = 4O (12)
9(y)

where y is a fixed point with y > 0. It can be easily verified that g(x) is the best local
monomial approximation of g(x) near y [3]. Then an objective function on a ratio of
two posynomials min I E ; can be approximated with min L Ex; and min £ (i; < min ’; g;
holds. Applying the presented monomial approximation method to the posynomial

function g, (x), we get the following optimization problem:

i g%(x) gix) gi ) gi‘(x)) a3)

@@ @@ @@ gx)

subject to satisfying:
gi(x)zzkl 1an ukl<1 i=3,4,...,p+2,
x>0, [=1,2,....m

where g>(x) is the corresponding monomial function approximated by using
Egs. (11) and (12). Since posynomial function can be divided by monomial function
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and the result also is a posynomial function (based on Definition 2.4), so optimization
problem (13) is a MOPGP problem that can be solved by using the following fuzzy
programming method. It is assumed that the present problem (13) is feasible and has
optimal solution.

3.3 Fuzzy Programming Method

Fuzzy programming problem due to Zimmermann [22] based on the concept given
by Bellman and Zadeh [1] has been successfully applied to solve various types of
multi-objective decision making problems. The following steps [5, 17] are used in
solving a multi-objective optimization problem with a linear membership function
by geometric programming technique to find an optimal compromise solution.

Step 1: Solve the MOPGP as a single objective posynomial geometric program-
ming problem using only one objective at a time and ignoring the others by using
geometric programming algorithm [4]. Repeat the process n times for n different
objective functions.

Let xV, x® ... x™ be the respective optimum solutions for n different posyn-
omial geometric programming problems.

Step 2: Evaluate all these n objective functions over all n optimal solutions
x W x@

Step 3: For each objective function, we find:

I = min(g)’ (xV), g5 @), ..., g (x™)), (14)
u, = max(gy’ (xV), g x@), ..., g (x™)), (15)

such that:
L<gl@) <w, t=1,2,...,n. (16)

Step 4: Define a fuzzy membership function p,(x) for tth objective function
g (), 1 =1,2,....n, as:

1’ g(()t)(x) S ll‘9
—g (x
pulgy’ (0) = 1420 g < g9 () <, a7

i~

0,95 (x) > uy.
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Step 5: Use the max-min operator [2] and formulate a crisp model as:
max Xp4; Or min x;}r, (18)

subject to satisfying:

u — gy (%)

Xm41 = , t=1,2,...,n,
u; — I

gl(x) E 17 (i= 172""7p)7

X15,X2,5 e vy X1 > 0.

Step 6: Solve the crisp posynomial geometric programming problem defined in
Step 5 by using geometric programming algorithm to find optimal solution x* and
evaluate all the n number of objective functions at this optimal solution x*.

3.4 Solution Algorithm

We now summarize the proposed approach for solving the FFPGP with positive
trapezoidal fuzzy coefficients in this work and construct a solution algorithm.

The basic steps of the algorithm are given below:

Step 1: Convert the FFPGP problem into problem (9) with the help of arithmetic
operations on fuzzy numbers (Egs. (2) and (3)).

Step 2: Evaluate the monomial terms in the denominator posynomials of objective
functions with the given y. Compute their corresponding parameter oy (y) by using
Eq.(12).

Step 3: Perform the condensation on the denominator posynomials of objective
functions using Eq. (11) with parameter oy (y).

Step 4: Change the problem to MOPGP problem (based on Definition 2.4).

Step 5: Solve the MOPGP problem by using fuzzy programming method.

4 Numerical Example

In this section, a numerical example is given to illustrate the approximation tech-
nique for solving the FFPGP with positive trapezoidal fuzzy coefficients in objective
function.

Example 4.1 Consider the following FFPGP:

(0.4,0.5,0.7, 0.8)x%xpx 1327067 1 (2,2.8, 6, Ty Loang ' + (1,5, 6,9)

min
2x3 0'71xg Iy 3x4x5 2)57
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subject to satisfying:

0.01x0x5 " + x5 "7 4 0.0005x1x; 'x5! < 1,
doyxs !t 4 207 ag ! 4 0.0588x; g < 1,
0.1 <x < 10, l=1,2,...,7.

According to Eqgs.(2) and (3) in Sect.2, Example can be transformed into the
following form:

0.4x?‘67x2x3_1'3 —0.67 +2x; x4x6 T 1 0. Sxo 67y, _0'67 +2.8x] x4x6 T4 5
2x3—0A71

Xg T4+ 3X4x5 X7 2x; 0. 71x6 + 3x4x5 2x7
0 7x(1)'67x2x3 1‘3X7 0.67

+ 6x x4x6_1 +6 0.8)6(1)'67xzx3 1'3x7 0.67 +Tx; x4x6_1 + 9)

2x3 0‘71xg Iy 3xaxs 2)67 2x3 O‘ﬂxg 'y 3x4x5 2x7

subject to satisfying:

0.01xpx3 " + xg 'y + O.OOOS)qx;lx;1 <1,
4z + 2x5 075! 40,0588 Pxy < 1,
0.1 <x <10, 1:1,2,...,7.

Now, we have the following approximation of this problem by using Egs. (11) and
(12) in previous section:

0.4 g 06T x4+ Lo 5067000 13007 2 8x g ! + 5
min ( -
g(X) g(X)
0'7x(1)A67x2x371A3x7 0.67 + 6x1—1x4x6—l 46 0.8)6(1)67)62)63713%7 0.67 + 7xl—lx4x6—l + 9)
g ’ gx)

subject to satisfying:

0.01x60x5 " + x5 "7 4 0.0005x1x, 'x5! < 1,
doaxs !+ 225075 4 0.0588x; Py < 1,
0.1 <x; <10, i=1,2,...,7

where g(x) is the corresponding monomial approximation of posynomial function
2x70 71x6 'y 3x4x5 2x7. It has the following formulation by using Eq.(11):

—-0.71_—1

. 2x3 " xg 3x4x5 2x7
X) =
gx) = ( a

) ( )™,

(6%)
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where a1 and «; can be computed by using Eq. (12) as follows:

_ 2y
M= 50T T g
V3 Yo T 3yays“y7
_ 34y y7
Qp =

270y By

The following algorithm parameters were set in the implementation of the pro-
posed method: y; = 1,y = 1,y3 = 1,y4 = 1,y5s = 10,y = 10,y; = 1 and
e = 1057, By using the steps of fuzzy programming method, a crisp model is
formulated as:

max 0

subject to satisfying:

0. 5471592x?.67x2x;o 6826087 ,.—0.1304348.0.2608696 ,.0.8695652 ,.—0.8004348
+2. 7357966x" (3)617%913 0.8695652 22608696 6—0 1304%48 7—0 1304348
+1. 3678979x° 6173913 4—0 1304348 22608696 28695652 7—0 1304348
+0. 12210976 <1,

0.3 148304x‘1) 67 XX, —0.6826087,.—-0.1304348 . 0.2608696 28695652 7—0 8004348
+1. 7630505{1 0.6173913 | 08695652 (5)2608696 EO 1304348 70 1304348
+3.1 483044x0 6173913 470 1304348 (5)2608696 (6)8695652 —0. 1304348
+0. 12210970 <1,

0. 3175095xo 7y, X ~0.6826087 4—0 1304348 ,.0.2608696 ,.0.8695652,,.—0.8004348
+2. 7215098x“ 26173913 0.8695652 02608696 —01304%48 —01304343
+2. 7215098x0 6173913 —0 1304348 22608696 28695652 7—0 1304343
+ 0. 12210976 <1,

0. 2697063x0.67x2x;0 6826087 470 1304348 22608696 0.8695652 770 8004348
+2. 3599308{1 06173913 28695652 22608696 g01304348 —0.1304348
+3. 0341968x0 6173913 470 1304348 22608696 (6)8695652 —0.1304348

+0. 12210970 <1,
001x2x3_ +x6_ X7 +00005x1x2_ xs_ <1,
doxg ! 4 2x7 07 —‘+00588x Sy <1,
0.1<x;<10, i=1,2,.
0<8.

The optimal compromise solution is obtained as: § = 0.7569894, x; =
1.795215, x, = 0.1000000, x3 = 0.2152608, x4 = 0.1000000, x5 = 7.120881,
x¢ = 0.1005941, x; = 0.1000000. So we can obtain the objective value (0.2136294,
0.4687867, 0.6641215, 0.8734667).
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5 Conclusion

This paper has dealt with a fuzzified version of a fractional posynomial geometric
programming problem in which fuzzy parameters are involved in the objective func-
tion. The algorithm presented here proposed a technique for changing the FFPGP
problem to MOPGP problem and then solving the MOPGP problem. Based on the
obtained results in the last section, we conclude that using the proposed solution
algorithm is useful to solve a FFPGP problem.

Acknowledgments Thanks to the support by National Natural Science Foundation of China
(No0.70771030) and Project of Guangdong Provincial Foreign Students (Ph.D.) Scholarship.
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Generalized Fuzzy Imaginary Ideals
of Complemented Semirings

Zu-hua Liao, Chan Zhu, Xiao-tang Luo, Shuang Hu and Wei-long Liu

Abstract Our aim in this paper is to introduce and study the new type of fuzzy ideals
of a complemented semiring called generalized fuzzy imaginary right (resp.left)
ideals and the direct products of them. The equivalence relation of them is given,
besides, the fundamental properties of their intersection, union and level sets are dis-
cussed. Finally, we also investigated the properties of their homomorphic preimage.

Keywords (€, € Vg ))—fuzzy imaginary ideal generalized fuzzy imaginary
ideal homomorphic preimage

1 Introduction

In 1965, Zadeh [1] introduced the concept of a fuzzy subset and studied its properties
on the lines parallel to set theory. In 1971, Rosefeld [2] defined the notion of a fuzzy
subgroup and gave some of its properties. Rosenfelds definition of a fuzzy group
is a turning point for pure mathematicians. Since then, the study of fuzzy algebraic
structure has been pursued in many directions such as groups, rings, modules, vector
spaces and so on. In 1982, Liu [3] defined and studied the theory of fuzzy ideals in
rings. In 1990, Ma [4] gave the definition of imaginary ideals of rings and obtained
some results. Then in 1992, he discussed the relation between the imaginary ideals,
pseudo ideals and ideals of rings [5]. Besides, some relevant examples were also
given by him.

In 1992, Induab scholar Bhakat and Das [6] introduced the concept of («, 5)—
fuzzy subgroup by using belong to (€) relation and quasi-coincident with (g ) relation
between the fuzzy point and the fuzzy sets. In fact, its an important and useful general-
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ized of Rosenfelds fuzzy subgroup. In 2006, Liao etc. generalized “quasi-coinciednt
with” relation (g) between a fuzzy point and a fuzzy set of Liu to “generalized
quasi-coincident with” relation (g(»,,)) between a fuzzy point and a fuzzy set, and
extended Rosenfeld’s (€, €)—fuzzy algebra, Bhakat and Das’s (€, € vg)—fuzzy
algebra and (€, € v g)—fuzzy algebra to (€, € Vg ,))—fuzzy algebra [7] with
more abundant hierarchy [8].

Vandiver [9] in 1939 put forward the concept of semiring. The applications of
semirings to areas such as optimization theory, graph theory, theory of discrete event
dynamical systems, generalized fuzzy computation, automata theory, formal lan-
guage theory, coding theory and analysis of computer programs have been exten-
sively studied in the literature [10, 11]. Liu [12] introduced fuzzy ideals in a ring.
Following this definition, Mukherjee and Sen [13, 14] obtained many interesting
results in the theory of rings.

On the study of fuzzy semiring, there has been a large number of research at home
and abroad. Then Feng and Zhan [15] proposed complemented semirings. They put
the Boolean algebra as its proper class, and studied the algebraic structure of it.
This paper is the continuation of the above work. Section?2 of this paper list some
necessary preliminaries that support our results. Section 3 is the kernel of the whole
paper, which display main results obtained by the authors, including the relationships
among genenralized fuzzy imaginary ideal, (€, € Vq(),,))—fuzzy imaginary ideal
and level subsets of a fuzzy set and relative properties about the intersection, union
and homomorphic preimage of such genenralized fuzzy imaginary ideal. In Sect. 4,
we make a conclusion of the article.

2 Preliminaries

In this section we recall some basic notions and results which will be needed in the
sequel.

Definition 2.1 ([16]) A semiring S is a structure consisting of a nonempty set S
together with two binary operations on § called addition and multiplition (denoted
in the usual manner) such that

(1) S together with addition is a semigroup. o is additive identity element;

(2) S together with multiplition is a semigroup. 1 is multiplitive identity element;
3) alb+c) =ab+ac, (a+ b)c =ac+ bc,Va,b,c € S ;

@4 ora=a-0=o0;

Definition 2.2 ([15]) Assume a is an element of semiring S, if there exists a com-
plement @ which makes aa = 0,a +a = 1, a is called complemented. S is said to
be a complemented semiring if every element of S has a complement.

Definition 2.3 ([17]) Let S be a semiring. A nonempty subset A of S is said to be a
complemented subsemiring of S if A is closed under three binary operations on S:
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(1) Ifa,b € A,thena +b € A;
2) Ifa,b € A, thenab € A,
(3) Ifa € A, thena € A.

Definition 2.4 ([18])Leta, A, € [0, 1]and A\ < p. If A(x) > «, then a fuzzy point
X 18 said to belongs to a fuzzy subset A written x, € A;if A\ < cand A(x)+a > 2pu,
then a fuzzy point x,, is called to be generalized quasi-coincident with a fuzzy subset
A, denoted by xog(\ ;nA. If xo € A OF Xaq(\, 1) A, then x4 € Vg ) A.

Definition 2.5 ([17])Leta, A, u € [0, 1]and A < pu. A fuzzy subset A of S is called
an (€, € Vg, u))—fuzzy complemented subsemiring of S, if V¢,r € (A, 1],a,b €
S, satisfy:

(1) Ifa;, by € A, we have (a + D)iar € Vg A
(2) Ifa;, by € A, there exist (ab);nr € V) A;
(3) Ifa; € A, a; € vgq() ;A holds.

Definition 2.6 ([17]) Let o, A\, i € [0, 1] and A\ < p, A is a fuzzy set of S. We call
A a generalized fuzzy complemented subsemiring of S if Va, b € S satisfy:

(1) Ala+b) VA= A(@) AAD) A
(2) Alab) v )\ > Aa) A AD) A
(3) A@ V> Aa) A p.

Definition 2.7 Let S;(1 < i < n) be complemented semirings and direct product:
[Ti<;j<nSi ={(ai, a2, ...an)la; € S;}. Then [],,.,Si is acomplemented semiring
under the operations as following: o

(ar,an,...ap) + (b1,ba,...by) = (a1 +b1,a0 + by, ...,a, + by);

(ar,an, ...ay)(by1, by, ...by) = (a1by, azbs, . ..a,by);

(ai,az, ...ap) = (ai, az, . .. an).
Definition 2.8 Let A;(1 < i < n)befuzzy subsets of S;. Then a fuzzy setH1<i<nA,~
defined as ([],-;-,A))(x1, X2, ... x;) =inf1<;<, A; (x;) is called hboxfuzzy direct
product. o

Theorem 2.1 ([17]) Let A be a fuzzy subset of S. Then A is a generalized fuzzy
complemented subsemiring of S if and only if A is an (€, € Vg, u))—fuzzy comple-
mented subsemiring of S.

Theorem 2.2 ([12]) Let A be a fuzzy subset of S. Then A is a generalized fuzzy com-
plemented subsemiring of S if and only if Va € (\, ), nonempty A, is a subsemiring
of S.

Theorem 2.3 ([12]) Let A and B be generalized fuzzy complemented subsemirings
of S. Then A N B is a generalized fuzzy complemented subsemiring of S.

Theorem 2.4 ([17]) A subset A of S is a complemented subsemiring of S if and only
if x4 is a generalized fuzzy complemented subsemiring of S.

Theorem 2.5 ([17])Let f : S — H be a homomorphism. If B is a generalized fuzzy
complemented subsemiring of H, then f~'(B) is a generalized fuzzy complemented
subsemiring of S.
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3 (&, € Vg, u))—Fuzzy Imaginary Ideals of Complemented
Semiring

Definition 3.1 Let A be a complemented subsemiring of S. Then A is said to be
a imaginary right (resp.left) ideal of S if forallx € A,y € S and xy € A(resp.
yx € A)imply y € A.

Definition 3.2 Let A be a generalized fuzzy complemented subsemiring of S. Then
A is called a generalized fuzzy imaginary right (resp.left) ideal of S if forall x, y € §,
A VAZ A A AGEY) A AR VA= A A AGX) A p).

Definition 3.3 Let A be an (€, € Vq(),,))—fuzzy complemented subsemiring of S,
a € (A, 1]. Then A is called an (€, € Vg ,))— fuzzy imaginary right (resp.left)
ideal of S if Vxo, € A,y € S and (xy), € A(resp.(yx)q € A) implies y, €
VqomA.

We say A an (€, € Vg, ))—Tuzzy imaginary ideal of § if A is both an (g, €
Vg py)—rFuzzy imaginary right deal of S and an (€, € vg(y ;))—Tfuzzy imaginary
left ideal of S.

Theorem 3.1 Let A be a fuzzy subset of S. Then the following conditions are
equiavalent:

(1) Aisan (€, € Vg u)—fuzzy imaginary right (resp. left) ideal of S;
(2) Ais a generalized fuzzy imaginary right (resp. left) ideal of S;
(3) nonempty set A, is a imaginary right (resp. left) ideal of S for all o € (X, p].

Proof (1) = (2)

We obtain that A is a generalized fuzzy complemented subsemiring of S based on
Theorem 2.1. Assume that 3xg, yo € S such that A(yg) VA < A(xp) A A(xgy0) A U
Choose acsuch that A(yg) VA < a < A(xg) AA(x0yo) A, then A(yo) < «, A(xg) >
o, A(xoyo) > avand A < « < p, 80 (x0)o € A and (xgyp)o € A, thus (yg)o €
Vg ) A based on Definition 3.3. But A(yp) < «, thus A(yo) + @ < a+a < 2u,a
contradiction. So A is a generalized fuzzy imaginary right ideal of S.

2)= (1

From Theorem 2.1, we know that A is an (€, € Vq(),,))—Tfuzzy subsemiring of
S.Forallx,y € Sand a € (\, 1], if x, € A and (xy), € A, then A(x) > «
and A(xy) > «. Since A is a generalized fuzzy imaginary right ideal of S, then
AV VA=A ANAGY) Ap>anp Ifa>p,then A(y) V> pu, by A < p,
so A(y) > p, then A(y) +a > p+a > 2y, ie., yag(,)A. On the other hand, if
a < p, then we can obtain that A(y) > a, i.e., yo € A, 50 Yo € Vg, A.

Thus A is an (€, € Vq(),,))—TFuzzy imaginary right ideal of S.

2 =0

We know that A,, is a subsemiring of S based on Theorem 2.2. For all x € A,
andy € S, if xy € A,, then A(x) > a and A(xy) > «. Since A is a generalized
fuzzy imaginary right ideal of S, then for all a € (A, u], we have A(y) V A >
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AX)ANA@Y) Ap>aAp=a,by X <a,s0A(y) > q,ie.,y € A,.
Therefore A, is a imaginary right ideal of S for all & € (A, u].

3=

We obtain that A is a generalized fuzzy complemented subsemiring of S based
on Theorem 2.2. Assume that there exists xq, yo € S such that A(yp) VA <A(xp) A
A(xgyo) A p. Choose « such that A(yg) V A < a < A(xg) A A(xoyo) A i, then
A(yg) < a, A(xg) > a, A(xoyg) > cand A < o < p,i.e., xgp € A, and xgyg €
A,. Since A, is an imaginary right ideal of S, then yp € A,, i.e., A(yo) > «, a
contradiction to A(yg) < «. Therefore A is a generalized fuzzy imaginary right
ideal of S.

Similarly, we can prove the other results.

The above theorems show that generalized fuzzy imaginary right (resp. left) ideal
and (€, € V g\ ;) —fuzzy imaginary right (resp.left) ideal are equivalent. Thus we
can prove a normal fuzzy setbe an (€, € V g\, ,)) —fuzzy imaginary right (resp.left)
ideal by proving it to be a generalized fuzzy imaginary right (resp.left) ideal, which
is easer than the former. Meanwhile, Theorem 3.1 establishes a kind of link be-
tween generalized fuzzy imaginary right (resp.left) ideal and ordinary imaginary
right (resp.left) ideal.

Next we prove the theorem for imaginary right ideal. Analogous arguments apply
to imaginary left ideal.

Theorem 3.2 Let A and B be generalized fuzzy imaginary right (resp. left) ideal of
S. Then A N B is a generalized fuzzy imaginary right (resp.left) ideal of S.

Proof We obtain that A N B is a generalized fuzzy complemented subsemiring of S
based on Theorem 2.3, for all x, y € S, we have

(ANB)(Y) VA= (AW ABY) VA= (AY) VA V(B VA= (AKX) A
A(xy) Ap) A (B(x) A B(xy) A p) = (AN B)(x) A (AN B)(xy) A .

Therefore A N B is a generalized fuzzy imaginary right ideal of S.

Corollary 3.1 Let A;(i € I) be generalized fuzzy imaginary right (resp.left) ideals
of S. Then Nic A; is a generalized fuzzy imaginary right (resp.left) ideal of S.

Theorem 3.3 Let A;(i € I) be generalized fuzzy imaginary right (resp. left) ideals
of S, and Vi, j € I,A; € Ajor Aj C A;. Then UjcrA,; is a generalized fuzzy
imaginary right (resp.left) ideals of S.

Proof Firstly, we prove Vier (A (x) NA; (D) Ap) = (Uier Ai) () A(Uier Ai) (¥) A p.
Obviously, Vier (A; (x) ANA; (W)AR) < (Uier Aj)(x) A (Uier Ai)(y) A pi. Assume that
Viel (Ai(X)ANA; (v) A ) # (Uier Ai)(x) A (Uier Ai) (9) A i, then there exists 7 such
that Vi (Ai (D) AA; (D AR) <1 < (Uig A (X) A(Ujer A (y) Ap. Since A; € A
or Aj C A; foralli, j € I, then exists k € I such that r < Ax(x) A Ap(y) A p.
On the other hand A;(x) A A;j(y) Au < r for all i € I, a contradiction. Thus

Vier (Ai(x) AN Ai(DA p) = (Uier Ai)(x) A (Uier A (¥) A p.
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Next, for all x, y € S, we have (1) (Uje;A)(x + Y) VA = Vig/Ai(x + y) VA =
Vier(Ai(x +Y)VA) = Vier(Ai () ANA; (V) Ap) = (Uier A) () A(Uier Ai) (9) A s
Similarly, we can prove that (2) (U;c; A;)) (X)) VA = (Vi Ai (X)) VA = Vi (Ai(X) Vv
A) > Vier(Ai(x) A p) = (Uier Ai)(x) A s

(3) (Uier A (xy) VA = (VieAi(xy)) VA = Vier (Ai(xy) V A) = Vigr(Ai(x) A
AN = (Uier A (x) A (Uier A () A ;s

@) (UictAD(Y) VA = (VietAi(0) VA = Vier(Ai(y) V A) = Vier(Ai(x) A
Ai(xy) A )= (Uieg A (x) A (Uier A (xy) A p.

Therefore U;c; A; is a generalized fuzzy imaginary right (resp.left) ideal of S.

Theorem 3.4 LetA| and A, be generalized fuzzy imaginary right (resp.left) ideals of
S1 and S respectively, then A1 X Aj is a generalized fuzzy imaginary right (resp.left)
ideal of §1 x S».

Proof Firstly, we prove that A| x A» is a generalized fuzzy subsemiring of S1 x 5.
For all x,y € S; x S, where x = (x1,x2),y = (y1, y2), since A} and A, are
generalized fuzzy subsemirings of S1 and S; respectively, then (A x A2)(x +y) V
A= (A x A)((x1,x2) + (1, »2) VA = (A1 x A))(x1 +y1,x2 +y2) VA =
(A1(x1 + y1) A A2(x2 + y2)VA = (A1(x1 + y1) V) A (A2(x2 +y2) VA >
(Ar(x) A AT A ) A (Aa(x2) A Ao(2)Ap) = (A x A2)((x1, x2)) A (A X
A2) (1, y2)) A= (A1 X A2)(x) A (A1 X A2) (D) A pe

Semilarly, we can prove that (A} X A2)(X) VA > (A1 X A2)(x) A pand (A X
A2)(xy) VA > (A1 x A2)(x) A (A1 X A2)(Y) A pu.

So A1 x Aj is a generalized fuzzy subsemiring of S; x $>.

Next, forall x, y € S1 x S, where x = (x1,x2), ¥y = (31, »2), (A1 X A2)(y) VA =
(A1 x A2)((y1, y2)) VA = (A1(y1) A A2(y2)) VA = (A1(y1) V VA(A2(y2) VA) >
(A1) AAT (YD) Ap) A (Az(x2) A Az (xzya) A p) = (A X Ag)((x1, x2))A (A X
A2)((x1y1, x2y2)) A = (A1 X A2)((x1,x2)) A (A1 x A2)((x1, x2)(¥1, ¥2)) A
=(A1 x A2)(x) A (A1 x A2)(xy) A p.

Thus A; x Aj is a generalized fuzzy imaginary right (resp.left) ideal of S1 x $>.

Theorem 3.5 Let A; be generalized fuzzy imaginary right (resp.left) ideals of S;,
then Hlfiani is a generalized fuzzy imaginary right (resp.left) ideal Ofnlgifn Si.

Proof Firstly, we prove that [],.,.,A; is a generalized fuzzy sbusemiring of
[11<j<,Si- For all x,y € H1<i<;§,~, where x = (x1,x2,...x,) and y = (y1,
¥2, - yn)sthen (I ] i, A (x +y) VA = (inf1<j<n Ai (xi + 1)) VA = inf1<j<n(A;
(xi +yi) VA) 2 inf1<i<n(Ai (i) A Ai(yi) A p) = inf A; () Adnf A; (vi) A p =
(HISiSHAi)(x) A (H]Sl'SnAi)(y) A .

Similarly, ([Tj<;<,A)@y) vV A > (i<, A0 A (TT1<j<,ADO) A 3
([T1<i<pAD @) VA =inf1<i<n Ai (%) V A = inf1<; <, (A; (%) V A) > infi <<, (A;
(i) A p) =infr<i<nAi (i) A = ([]1<j<, ADX) A .

Therefore [],_,;-,Ai is a generalized fuzzy subsimiring of [],_;_,Si.

Next, For all x, y € [],;-,Si, where x = (x1, x2,...x,) and y = (y1, ¥2, - Yn),
then ([T1—i=, AD() VA = inf A;(y) V A = inf(A;(y) V A) > inf(A;(x;) A
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Ai(xiyi) A ) =inf A; () Ainf A; Cqyi) A = ([T1<i<,A) 0 A ([T1<<,AD
(xy) A p.
Thus [],;-,A; is a generalized fuzzy imaginary right ideal of [ ], _;,,S;.

Theorem 3.6 Let A be a subset of S. Then x 4 is a generalized fuzzy imaginary right
(resp.left) ideal of S if and only if A is an imaginary right (resp.left) ideal of S.

Proof Let x4 be a generalized fuzzy imaginary right ideal of S. We know that A is
a subsemiring of S based on Theorem 2.4. For all x € A, y € S and xy € A, then
xA(x) = 1and x4 (xy) = 1. Since x4 is a generalized fuzzy imaginary right ideal
of §,50 xa(Y) VA = Xa(xX) Axa(xy) Ap = p,by A < 1,50 xa(y) = pxa(y) =1,
then y € A. Thus A is a imaginary right ideal of S.

Conversely, we can easily obtain that x 4 is a generalized subsemiring of S based on
Theorem 2.4. Assume that there exist xg, yo € S satisfy x4 (yo) V A < xa(x0)Axa
(x0y0) A . Choose o holds x4 (vo) V A < a < xa(x0) A xa(xoy0) A i, then x4
(yo) < «, xa(x0) > «, xalxoyo) > aand A\ < a < p. Thus xgyg € A and
Xxo € A. Since A is a imaginary right ideal of S, then yg € A, s0o xa(yo) =1 > «, a
contradiction.

Therefore x 4 is a generalized fuzzy imaginary right ideal of S.

Theorem 3.7 Let A be a generalized fuzzy imaginary right (resp.left) ideal of S.
Then Ay = {x|A(x) > A} is a imaginary right (resp.left) ideal of S.

Proof Firstly, we prove that A) is a complemented subsemiring of S. Since A is a
generalized fuzzy imaginary right ideal of S, then forallx, y € Ay, A(x +y) V A>
AANAD AL > MA@ VA= Ax)Ap > A, and A(xy) VA > A(X)AA(Y) Au>
Ade, Ax +y) > A A(X) > dand A(xy) > A\, s0x +y,xy, X € A).

Therefore A) is a complemented submiring of §.

Next,forallx € A),y € Sandxy € Ay,then A(x) > Aand A(xy) > A.Since Aisa
generalized fuzzy imaginary rightideal of S, then A(y) VA > A(x) AA(xy)Ap > A,
S0 A(y) > Aie,y € Ay,

Therefore A) is a imaginary right ideal of S.

Theorem 3.8 Let f : S — H be a homomorphism, if B is a gerneralized fuzzy
imaginary right (resp.left) ideal of H, then f~'(B) is a generalized fuzzy imaginary
right (resp.left) ideal of S.

Proof Based on Theorem 2.5, we can obtain that f~!(B) is a gerneralized fuzzy
complemented subsemiring of S. Forall x, y € S, then f(x), f(y) € H,since Bisa
gerneralized fuzzy imaginary right ideal of H, then f -1 (BY(y)VA=B(f(y)VvA >
B(fO)ABf @) fON)Ap=Bf)ABfay)Ap=f"1B)x)A f(B)
(xy) A pa.

Therefore f~!(B) is a gerneralized fuzzy imaginary right ideal of S.
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4 Conclusion

In this present investigation, the concept of gerneralized fuzzy imaginary right
(resp.left) ideal and (€, € V g\, ;) —fuzzy imaginary right (resp.left) ideal are pro-
posed. Moreover, the relevent properties are studied.
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Statistical Approximation
of the g-Bernstein-Durrmeyer Type
Operators

Mei-Ying Ren

Abstract In 2012, a kind of g-Bernstein-Durrmeyer type operators is introduced,
and some approximate properties of these operators are studied by Ren. In this
paper the statistical approximation properties of these operators are investigated.
The Korovkin type statistical convergence theorem of these operators is established.
Then the rates of statistical convergence of these operators are also studied by means
of modulus of continuity and the help of functions of the Lipschitz class.

Keywords g-Bernstein-Durrmeyer type operators * g-integers + Korovkin type
theorem - Rate of statistical convergence - Modulus of continuity

1 Introduction

After Philips [1] introduced and studied ¢ analogue of Bernstein polynomials, the
applications of g-calculus in the approximation theory become one of the main areas
of research (such as, see [2-6]). Recently the statistical approximation properties
have also been investigated for g-analogue polynomials. For instance, in [7] Kan-
torovich type q-Bernstein operators; in [8] g-Baskakov-Kantorovich operators; in [9]
Kantorovich type q-Szdsz-Mirakjan operators; in [10] g-Bleimann, Butzer and Hahn
operators; in [11] g-analogue of MKZ operators and in [12] modified g-Bernstein-
Schurer operators were introduced and their statistical approximation properties were
studied.
In 2012, Ren [13] introduced g-Bernstein-Durrmeyer type operators as follows:

n—1

1
ME2,(f:x) = FO)puo(q: X)+ £ (D) pun(q: )+ puilq:x) /0 2 ) f()t,

k=1
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where f € C[0,1],x € [0,1],0 < g < 1,0 > 0,n € N, pyi(g;x) =

klg—1 nlg—lklg)—1
Z ] xk(l — x)Z_k. For 1 < k < n-— 1, 'unQ,k(t) = tQl[;(JqQ[kgiTQI)([Q”(;(IJZ[]E]J:)))
B(x,y) = fol *~1(1 —1)»~'dr (x, y > 0) is a Euler Beta function.

In [13], some approximate properties of the q-Bernstein-Durrmeyer type oper-
ators are studied. The goal of this paper is to study the statistical approximation
properties of these operators. The Korovkin type statistical convergence theorem of
these operators is established. Then the rates of statistical convergence of these op-
erators are also studied by means of modulus of continuity and the help of functions
of the Lipschitz class.

Before, proceeding further, let us give some basic definitions and notations from
g-calculus. Details on g-integers can be found in [14, 15].

Let ¢ > 0, for each nonnegative integer k, the g-integer [k], and the g-factorial
[k],! are defined by

1-4¢5/0 —q), 1
[k]q::[l(c, q“)/( q)gil

and

respectively.
Then for g > 0 and integers n, k, n > k > 0, we have

[k + 11, = 1+ qlk), and [kl, + ¢[n — k), = [nl,.

For the integers n, k, n > k > 0, the g-binomial coefficients is defined by

I:ni| .: [n]g!
ki, [klg'n —klg!

Let ¢ > 0, for nonnegative integer n, the g-analogue of (x — a)” is defined by

1, n=0
(x—a)(x—gqa)---(x—q"la), n>1

(x —a)Z = [

Remark 1 For f € Cla, b], denote || f |lcla,py = max{|f(x)]; x € [a, b]}.

2 Tow Lemmas

Now, we give two lemmas, which are necessary to prove our results.

Lemma 1 (see [13]) For M,gq (t%;x), s =0, 1,2, we have
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M2 (1 x) =1 @)
M2t x) = x; (3)
_ 2
M,,Q,q(ﬂ; X) = (1+0)x  qQln—1lgx . @)
1+ Q[n]q 1+ Q[n]q
Lemma 2 (see [13]) For {M,gq (f; x)}, we have
Mn?q((t -0k x) = w 5)

1+ Qln]y

3 Statistical Approximation of Korovkin Type

Now, let us recall the concept of the statistical convergence which was introduced
by Fast [16].

Letset K € Nand K,, = {k < n : k € K}. The natural density of K is defined by
6(K) := nll)rréo %|K,,| if the limit exists (see [17], where | K| denotes the cardinality
of the set K;,).

A sequence x = {x;} is call statistically convergent to a number L, if for every
€ > 0,6{k € N:|xx—L| > e} = 0. This convergence is denoted as st—lilgnxk =L.

Note that any convergent sequence is statistically convergent, but not conversely.
Details can be found in [18].

Let Bla, b] denote the class of all real valued bounded functions f on interval
[a, b], and Let C[a, b] denote the class of all real valued continuous functions f on
interval [a, b]. In approximation theory, the concept of statistically convergence was
used by Gadjiev and Orhan [19]. They proved the following Bohman-Korovkin type
approximation theorem for statistically convergence.

Theorem 1 (see [19]) If the sequence of linear positive operators A, : Cla, b] —
Bla, b] satisfies the conditions

st —lim [[A,(ev; ) = evlicra.n) =0,
forey(t) =1V, v=0,1,2. Then forany f € Cla, b],
st =1im [|An(f: ) = fllcia.) = 0.

Next, we give the statistical approximation properties of the g-Bernstein-
Durrmeyer type operators.

Theorem 2 Let g = {q,}, 0 < g, < 1 be a sequence satisfying the following
condition



120 M.-Y. Ren

st —limg, =1, st —limg, =c(c < 1). (6)

n n
Then for any f € C[0, 1], we have
st —1im M2, (f3) = flicio.n = 0.

Proof By the definition of the g-Bernstein-Durrmeyer type operators, for any f €
Clo, 1], M,%, (f; x) has positivity and linearity. By Theorem 1, for any f € C[O0, 1],
enough to prove that

st —1im [ M2, (ey; ) — evllcion = 0, for e, (t) = 1%, v =0, 1,2.
n
From (2) and (3), we can easily get

st —1lim M2 (e0: ) = eollcro,n = 0. (7

st —lim [ M2, (e1: ) —etllcro.n = 0. (8)

From (4), we have

I+ 0)x gnQln —1lg,
1+ Q[n]g, 1+ Qln]g,

M2, (e2:x) — ex(x) = — x>

Since g, [n — 114, = [n]y, — 1, for x € [0, 1], by a simple computation, we have

2(1+0)

ML (er;) —e < -~ =7
1M, (e2; -) — e2llcio, 1) = I+ o0,

For every given € > 0, let us define the following sets:

V= tk: M2, (e2:) — exllcon = e},
2(1+ Q)

:k:— .
Vi ={ I+ Olkl,, > ¢}

It is clear that V C Vi, so we get

2(1+0)

P .
I+ OlKl,, e} 9

Stk <n: IME, (e3:) — eallcrony = €} < bk <n

By condition (6), we have

.20+ 0)
st —lim —— =0,
n 1+ Q[nly,
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so, by inequality (9), we get

.qn

st =lim [|M2, (e2:) = eallcro.1) = 0. (10)

In view of the equalities (7), (8) and (10), the proof is complete.

4 Rates of Statistical Convergence

In this section, we will give the rates of statistical convergence of the operators

M2 (f: ).
Let f € C[0, 1]. For any § > 0, the usual modulus of continuity for f is defined

as w(f;0)= sup  sup [f(x+h)— fx)l
0<h=<0 x,x+he[0,1]
By the property of the usual modulus of continuity, for f € C[0, 1] we have

lim ;0)=0. 11
Jim_w(f:0) (1n
Let f € C[0, 1]. Forany ¢, x € [0, 1] and § > 0, we have

w(f,9d), [t —x| <6
w(f, S = x>

lf@) = fOOl =w(f, ]t —x]) = {

In the light of w(f; Ad) < (1 + Mw(f; d) for A > 0, it is clear that we have
If () — F)] < 14072 — 0))w(f, 0), (12)

forany ¢ € [0, 1], x € [0, 1] and any § > O.
First, we give the rates of convergence of the operators M,gq (f; x) by means of
modulus of continuity.

Theorem 3 Let g = {g,}, 0 < g, < 1 be a sequence satisfying the condition (6).
Then for any f € C[0, 1] and x € [0, 1], we have

IM2, (f:x) = f(O)] < 2w(f. 6n(x)),

where

B 1/2
1+ 0)x(1—x) } ' (13)

o) = [ 1+ Qlnl,,

Proof Using the linearity and positivity of these operators M,gq (f; x), by Lemma
2, (2) and (12), for f € CI0, 1], x € [0, 1], we get
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IME,(f; ) = F)I < M, (1f (1) = f(x)]; x)
< 1+ 072ME2, (1t — )% x)w(f. 8)
21+ Q)x(1 = x)

=|14+6"
|: * ]+Q[n]q

] w(f, d).
Taking ¢ = {g,}, 0 < g, < 1 be a sequence satisfying the condition (6) and
choosing 6 = §,(x) as in (13), we have |M,gq,1(f; x) — f(x)] <2w(f, 0, (x)).

Remark 2 Form the condition (6) one can see that st — lim M,gqn ((t— x)?; x) =0
n
which implies st — lim w(f, J,,(x)) = 0 from (11). This gives the pointwise rate of
n

statistical coneergence of the operator M,,%h (f; x) to the function f(x).

Corollary 1 Let g = {qn}, 0 < g, < 1 be a sequence satisfying the condition (0).
Then for any f € C[0, 1]and x € [0, 1], we have

IM2, (f:) = fllcro.n < 2w(f. ).

1+ 0 172
=1 14
! [4(1+Q[n]q,,)} (19

where

Proof Forx € [0, 1], by Lemma 2, we have M,gq((t —x)z; x) < %, so, take
q

q = {qu}, 0 < g, < 1be asequence satisfying the condition (6), we get ,, (x) < 7,.

Thus, for f € C[0, 1] and x € [0, 1], by using Theorem 3, one can get

(M2, (f1x) = f(0)] < 2w(f. 64(x)) < 2w(f, 1),

which implies the proof is complete.

Now, we give the rate of statistical convergence of the operators M,gq (f; x) with
the help of functions of the Lipschitz class.

Theoremd4 Let 0 < o < 1, M > 0, f € Lip§, on [0,1], also let ¢ = {q,},
0 < gn < 1 be a sequence satisfying the conditions (6). Then for any x € [0, 1] we
have

M2, (f:) = flico.an < Mnj,
where 0, is given by (14).

Proof Let0 <a <1, M >0, f € Lipj, on[0,1]. We obtain f € C[0, 1], and for
any t, x € [0, 1], we have | f(¢) — f(x)| < M|t — x|®. Thus, using the linearity and
positivity of the operators M,gq (f; x), we obtain

M2, (320 = fOI < M2 (f @) = [@)]; %) < MM2, (1t = x]7; %),
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. .. . . . 2 2
Using the Holder inequality with m = £, n = 5= and (2), for x € [0, 1] we get

|Mrgq(f» X) - f(x)| < MMigq(lt _ X|U; )C)

2
< M[M2,((t — )% 0)]”
1+0 /2
<m Oy
(1+ Qlnly,)
Taking ¢ = {g,}, 0 < g, < 1 be a sequence satisfying the condition (6), and
choosing 7, as in (14), by Lemma 2, we have

M2, (F:3) = F = M[ME,, (¢ =% 0] < Mo,

n.qn

the desired result follows immediately.

5 Conclusion

In this paper, some statistical approximation properties of the g-Bernstein-
Durrmeyer type operators are studied. If we use King’s approach to consider King
type modification of the operators which is given by (1), we will obtain better statis-
tical approximation (cf. [20, 21]).
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A New Similarity Measure Between
Vague Sets

Bing-Jiang Zhang

Abstract Similarity measure is one of important, effective and widely-used meth-
ods in data processing and analysis. Vague set, as a generalized fuzzy set, has more
powerful ability to process fuzzy information than fuzzy set. In this paper, we pro-
pose a new similarity measure between vague sets. Compared to existing similarity
measures, our approach is far more reasonable, practical yet useful in measuring the
similarity between vague sets.

Keywords Fuzzy sets - Vague sets + Similarity measure

1 Introduction

In the classical set theory introduced by Cantor, a German mathematician, values of
elements in a set are only one of 0 and 1. That is, for any element, there are only two
possibilities: in or not in the set. Therefore, the theory cannot handle the data with
ambiguity and uncertainty.

Zadeh proposed fuzzy theory in 1965 [1]. The most important feature of a fuzzy
set is that fuzzy set A is a class of objects that satisfy a certain (or several) property.
Each object u € U is assigned a single value between 0 and 1, called the grade of
membership, where U is a universe of discourse. Formally, a membership function
ua U — [0, 1] is defined for a fuzzy set A, where 4 (u), for each u € U,
denotes the degree of membership of u in the fuzzy set A. This membership function
has the following characteristics: The single degree contains the evidences for both
supporting and opposing u. It cannot only represent one of the two evidences, but it
also cannot represent both at the same time too.

In order to deal with this problem, Gau and Buehrer proposed the concept of vague
set in 1993 [2], by replacing the value of an element in a set with a sub-interval of
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[0, 1]. Namely, a truth-membership function 74 () and a false-membership func-
tion f4(u) are used to describe the boundaries of membership degree. These two
boundaries form a sub-interval [£4 (1), 1 — f4(u)] of [0, 1], to generalize the w4 (1)
of fuzzy sets, where f4 (1) < pua(u) < 1 — fa(u). The vague set theory improves
description of the objective real world, becoming a promising tool to deal with inex-
act, uncertain or vague knowledge. Many researchers have applies this theory to
many situations, such as fuzzy control, decision-making, knowledge discovery and
fault diagnosis, and the tool has presented more challenging than that with fuzzy sets
theory in applications.

In intelligent activities, it is often needed to compare between two fuzzy concepts.
That is, we need to check whether two knowledge patterns are identical or approxi-
mately same, to find out functional dependence relations between concepts in a data
mining system. In order to solve this problem, many measure methods have been
proposed to measure the similarity between two vague sets (values). Each of them
is given from different side, having its own counterexamples.

After analyzing most existing vague sets and vague values similarity measures,
this paper develops a method for the similarity measure of vague sets.

2 Preliminaries

In this section, we review some basic definitions of vague values and vague sets.

Definition 1 Let U be a space of points (objects), with a generic element of U
denoted by u. A vague set A in U is characterized by a truth-membership function
t4(u) and a false-membership function f4 (u). £4 («) is a lower bound on the grade of
membership of u derived from the evidence for u, and f4 (u) is a lower bound on the
negation of u derived from the evidence against u, f4 (1) and f4(«) both associate
a real number in the interval [0, 1] with each point in U, where t4 (1) + fa(u) < 1.
That is

ta:U — [0,1]and f4 : U — [0, 1]

This approach bounds the grade of membership of u to a subinterval [r4(u), 1 —
fa()] of [0, 1]. We depict these ideas in Fig. 1.

The precision of the knowledge about u is characterized by the difference (1 —
ta(u) — fa(u)). If this is small, the knowledge about u is relatively precise; if it is
large, we know correspondingly little. If 74 (1) is equal to (1 — f4 (u)), the knowledge
about u is exact, and the vague set theory reverts back to fuzzy set theory. If #4 (1) and
(1 — fa(u)) are both equal to 1 or 0, depending on whether u does or does not belong
to A, the knowledge about u is very exact and the theory reverts back to ordinary
sets.

When U is continuous, a vague set A of the universe of discourse U can be
represented by
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Fig. 1 A vague set \%

A= /U (A ), 1 = fa)]/u, u € U, (1)

where 14 (1) < pua(u) <1 — fa(u).
When U is discrete, a vague set A of the universe of discourse U can be represented

by
A= ltal), 1 = faw))/ui, Vu; €U, )
i=1

where t4(u;) < pua(u;) <1 — fa(u;)and1 <i < n.

Definition 2 Let x be a vague value, where x = [t,, 1 — fi].Ifty, =l and f, =0
(i.e., x = [1, 1]). Then x is called a unit vague value.

Definition 3 Let x be a vague value, where x = [t,, 1 — f;].Ifty =0and f, = 1
(i.e., x = [0, 0]). Then x is called a zero vague value.

Definition 4 Let x and y be two vague values, where x = [f,,1 — fy] and y =
[tyv 1 - fy]-
If ty =ty and fy = f), then the vague values x and y are called equal (i.e.,

[1x, 1 — fx] = [ty’ 1 — fy])-

Definition 5 Let A be a vague set of the universe of discourse U = {uy, ua, ..., uy,}.
IfVi,t4(u;) = 1 and 14 (u;) = 0, then A is called a unit vague set, where 1 <i < n.

Definition 6 Let A be a vague set of the universe of discourse U = {uy, ua, ..., uy,}.
IfVi,t4(u;) = 0and fa(u;) = 1, then A is called a zero vague set, where 1 <i < n.

Definition 7 Let A be a vague set of the universe of discourse U = {uy, ua, ..., u,}.
If Vi, t4(u;) = 0 and fa(u;) = O, then A is called an empty vague set, where
1<i<n.

Definition 8 Let A and B be vague sets of the universe of discourse U = {uy, u»,
cotn)y A =200 ta@ui), 1 — faui)l/ui, B = >0 [tp(ui), 1 — fp(ui))/u;.
Vi, [ta(ui), 1 — fa(ui)] = [tp(u;), 1 — fp(u;)], then the vague sets A and B are
called equal.
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3 Research into Similarity Measure

Currently, there have been many similarity measurements for vague set (value).
Suppose that x = [#,, 1 — fy]and y = [ty, 1 — f,] are two vague values in the

universe discourse over the discourse universe U. Let S(x) = tx — fx, S(y) = ty— fy.

The Mc, My, My and Mo models are defined respectively in [3-6] as follows:

Mc(x.y) =1- ‘W‘ N —ry)—2<fx -wl
My, y) =1 — |tx—ty|+2}fx—fy| "
Mi(x,y)=1— |S(x)13(y)| =) Z|fx — 5
N (CEaDEe7 —fy>|4+ nonltlfi=pl
Mo(x,y)z1—\/(tx_’y)24;(fx—fy)2 ©

For the Mc(x, y), My (x, y) and M (x, y), consider the vague values x = [0, 1]
and y = [a,a], 0 < a < 1. According to Formulas (3)—(5), we can be checked
that Mc(x,y) = Mp(x,y) = Mr(x,y) = 0.5. This means that the similarity
measure between the vague value with the most imprecise evidence (the precision
of the evidence is equal to zero) and the vague value with the most precise evidence
(the precision of the evidence is equal to one) is equal to 0.5. However, our intuition
shows that the similarity measure in this case should be equal to 0. The M, (x, y)
model does not consider whether the differences are positive or negative.

References [7, 8] adopt Hamming distance and Euclidean distance to measure
the distances between intuitionistic fuzzy sets as follows:

1. Hamming distance is given by

’l‘x —Z‘y’ + |fx — fy‘ + ’(tx _ty)“l‘(fx - fy)‘

Dp(x,y) = 5 7
2. Euclidean distance is given by
_ 2 _ 2 _ . N
DE()C, y) — \/(tx l‘y) + (fx fy) _;((tx l‘y) + (fx fy)) (8)

These methods also have some problems. We still consider the vague values
x = [0,1] and y = [a,a], 0 < a < 1. For the Hamming distance, it can be
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calculated that Dy (x, y) = 1. This means that the Hamming distance between t,
and f, are equal to that between 7, and f. For the Euclidean distance, consider the
Euclidean distance between x and y, which is equal to (v/a? — a + 1). This means
that the distance between the vague value with the most imprecise evidence and the
vague value with the most precise evidence is not equal to 1. (Actually, the Euclidean
distance in this case is in the interval [\/5 /2, 1).) However, our intuition shows that
the distance in this case should always be equal to 1.

4 A New Similarity Measure

In order to solve all the problems mentioned above, we define a new similarity
measure between the vague values.

Definition 9 Let x and y be two vague values, where x = [f,, 1 — fy] and x =
[ty, 1 — fy]. The similarity measure between the vague values x and y is defined by

J+D

M(x,y)=1—T 9
where
PR S (R AR
NCERTE N R
and
D= |te =ty + [ fe = /5]

2

The large the value of M (x, y), the more the similarity between the vague values x
and y.

From Definition 9, we can obtain the following theorem.

Theorem 1 The following statements are true:
1. The similarity measure is bounded, i.e., 0 < M(x,y) < 1.

Proof Since0 <1, <1,0<1,<1,0< 4 <1,0< fy <1,wehave 0 < D <11,
0<J <I1,thatisO < M(x,y) < 1.
2. M (x, y) = 1, if and only if, the vague values x and y are equal (i.e., x = y).

Proof If x = y, from the definition, it is clear that M(x,y) = 1. If M(x,y) = 1,
then D+ J =0.Since0 < D <land0 < J < 1,then D = J = 0, we have
ty =ty =0and f, — f, =0, thatis x = y.

3. M(x,y) = 0, if and only if, the vague values x and y are [0, 0] and [1, 1] or
[1, 1] and [0, O].
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Proof For x = [0,0] and y = [1, 1] (or for x = [1,1] and y = [0, 0]), by the
definition, we obviously have M (x, y) = 0. If M(x,y) = 0, we have t, — ¢, =1
and fy — fy = —lLyorty —t, = =1 and f, — f, = 1. Hence, x = [0, 0] and
y=[1,1];orx =[1,1]and y = [0, O].

4. The similarity measure is commutative, i.e., M (x, y) = M (y, x).

It is obtained directly from the definition of the M (x, y) model.

Next we generalize the similarity measure to two given vague sets.

Definition 10 Let A and B be two vague sets of the universe of discourse U =

n n

{ur, uz, ..., up}, where A = D" [ta(ui), 1 = fai)l/ui, and B = " [tp(u;),
i=1 i=1

1 — fp(u;)]/u;; the similarity measure between the vague sets A and B can be

evaluated as follows:

M;(A, B)+ Mp(A, B)

M(A,B)=1-— 5 , (10

where

n

1 tau)tp (i) + (1 — fa(ui))(1 — fp(u;))
Mj(A,B) = — (1 - ,
! n ; VIta@)? + 11— faui) PV 1ts i) * + 11— fpui)]?

and

Mp(A, B) = %Z 1 (i) — tg (i) zm(ui) — f(u)

i=1

Similarly, we give the definition of distance between two vague sets as D(A, B) =
1 — M(A, B).

From Definition 10, we obtain the following theorem for vague sets, which is
similar to Theorem 1.

Theorem 2 The following statements related to M (A, B) are true:
1. The similarity measure is bounded, i.e., 0 < M(A, B) < 1.
2. M(A, B) = 1, if and only if, the vague sets A and B are equal (i.e., A = B).
n
3. M(A, B) = 0, if and only if, all the vague sets A = »_[0,0]/u; and B =

i=1

n n n
> 1. 11/u; are [0, 0] and [1, 1] or A = >[I, 1]/u; and B = > [0, 0]/u;.
i=1 i=1 i=1
4. The similarity measure is commutative, i.e., sets M(A, B) = M (B, A).
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5 Numerical Experiments

We use the ideas of this paper for choosing the best supplier. There are five suppliers
A1, Aa, A3, A4, As selected as alternatives, against three attributes Cp, Ca, C3. We
obtain decision matrix A as follows:

A1 | (C1,[0.2,0.8]) (C2,10.3,0.9]) (C3,[0.2,1.0])
Az | (C1,10.3,0.7]) (C2,10.2,0.8]) (C3,[0.3,0.9])
A= Az | (C1,[0.4,0.6]) (C2,[0.5,0.6]) (C3,[0.3,0.8])
As | (C1,10.5,0.7]) (C3,10.4,0.6]) (C3,[0.5,0.7])
As | (C1,[0.4,0.6]) (C3,[0.6,0.7]) (C3,[0.6,0.6])
The paper takes the weight of each attribute as 1. The reference sequence A* as
follows is composed of the optimal interval value of indicator over all alternatives

A* = [(Cy, [1,1]) (C2, [1, 1]) (C3, [1, 1D]

Next, using the formulas (9) and (10), we can calculate the similarity measures
between vague set A* and other five vague sets Aj ... As to obtain an order vector
as follows:

(M(Ay, A®), M (A2, A™), M (A3, A™), M (A4, A™), M(As, A™))
= (0.7140, 0.7134, 0.7478, 0.7756, 0.7879)

Therefore, the ranking order of five suppliers will be as follows:
A5>A4>A3>A1 >A2

We can say that supplier As is the best supplier among the five suppliers.

6 Conclusion

Many similarity measures have been proposed in literature for measuring the degree
of similarity between fuzzy sets. Also several efforts have been made for the similar-
ity measure between vague sets. After analyzing the limitations in current similarity
measures for vague sets, we have proposed a new method for measuring the simi-
larity between vague sets in this paper. The basic idea is to deeply understand the
support, the difference of true-membership and the difference of false-membership,
to significantly distinguish the directions of difference (positive and negative), and
properly use varied-weights in the differences of true and false-membership, for two
vague sets. The examples have illustrated that our approach is effective and practical.
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Distributivity Equations Between
Semi-t-operators Over Semi-uninorms

Feng Qin and Xiao-Quan Xu

Abstract The problem of distributivity was posed many years ago and investigated
in families of certain operations, for example, t-norms, t-conorms, uninorms and
nullnorms. In this paper, we continue to investigate the same topic as the above
by focusing on semi-t-operators over semi-uninorms, which are generalizations of
t-operators and uninorms by omitting commutativity, and associativity and commu-
tativity, respectively. The obtained results are the full characterizations, and extend
the previous ones about distributivity between nullnorms over uninorms, and also
between semi-nullnorms over semi-uninorms.

Keywords Fuzzy connectives - Aggregation operators * Distributivity equation -
Semi-uninorms * Semi-t-operators

1 Introduction

The problem of distributivity was posed many years ago [1]. In fact, This problem
is related to the so-called pseudo-analysis, where the structure of R as a vector
space is replaced by the structure of semi-ring on any interval [a, b] C [—o0, o],
denoting the corresponding operations as pseudo-addition and pseudo-multiplication
[2, 7]. In the semi-ring structure and some generalizations, the distributivity plays a
fundamental and essential role. In this context, the known t-norms and t-conorms,
more recently uninorms, have been used to model the mentioned pseudo-operations
[8]. Hence, this leads to a new direction of investigations, namely, distributivity
between t-norms and t-conorms [10], aggregation functions [3], fuzzy implications
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[9, 14], uninorms and nullnorms [4, 13, 15], semi-uninorms and semi-nullnorms
[5, 6].

In this paper, we will continue to investigate the above distributivity by considering
semi-t-operators over semi-uninorms, which are generalizations of t-operators and
uninorms by omitting commutativity, and associativity and commutativity, respec-
tively. The obtained results are the full characterizations, and extend the previ-
ous ones about distributivity between nullnorms over uninorms, [13, 15], and also
between semi-nullnorms over semi-uninorms [5, 6]. Since semi-uninorms and semi-
t-operators can be used to model the pseudo-operations in pseudo-analysis, we hope
that this work is helpful for developing pseudo-analysis, information aggregation
and other practical applications.

The remainder of the paper is organized as follows. In Sect.2, we present some
results concerning basic fuzzy logic connectives and results of distributivity equation
used later in the paper. In Sect. 3, we investigate the distributivity equation of semi-
t-operators over semi-uninorms N™". Section4 is conclusion and further work.

2 Preliminaries

In this section, we recall basic notations and facts used later in the paper.

Definition 1 (See [8]) An operator U : [0, 112 — [0, 1] is called a semi-uninorm
if it is increasing in each variable and has a neutral element e € [0, 1], i.e.,
Vyeo.1], Ule, x) = U(x, €) = x. We denote by N, the family of all semi-uninorms
with neutral element e. We call U € Nj a semi-t-norm or a semi-copula and call
U € Ny a semi-t-conorm.

U € N, is a uninorm if it is a commutative and associative semi-uninorm (see

[10D).

Theorem 1 (See [5]) If an operator U : [0, 11?2 = [0, 1] is a semi-uninorm with a
neutral element e € (0, 1), then, forall x, y € [0, 1],

Ty (3, 3), if (x, ) € [0, e]?,
Ux,y) = e+ (1 —e)Su({=5, 1=5). if (x,y) € [e, 11%, (1)
C(x,y), otherwise,

where Ty : [0, 11> — [0, 1] is a semi-t-norm, Sy : [0, 112 — [0, 1] is a semi-t-
conorm, and C : [0,¢e) x (e, 1]U (e, 1] x [0,e) — [0, 1] is increasing and fulfils
min(x, y) < C(x, y) < max(x, y) forall (x,y) € [0, e) x (e, 11U (e, 1] x [0, e). We
call Ty and Sy the underlying semi-t-norm and semi-t-conorm of U, respectively.

Definition 2 (See [17]) By V™ (N™i") we denote the family of all semi-uninorms
with the neutral element e € (0, 1) fulfilling the additional condition: ¥ ¢, 1;U (0, x)
=U(x,0) = x (Vxe0.0U(l,x) =U(x, 1) = x).
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From Theorem 1, we can obtain the structure of elements in A/ and A",

Theorem 2 (See [16, 17]) Let U € N, with neutral element e € (0, 1).
(i) U € N™" if and only if, for all x, y € [0, 1],

eTy(£, 1), if (x,y) € [0, e]?,
Ux,y) = je+ (1 —e)Su({=5, 1=2). if (x,y) € [e, 11%, 2)
min(x, y), otherwise.

(ii) U € N)" if and only if, for all x, y € [0, 1],

eTy (%, 1), if (x,y) € [0, e]?,
U, y) = 1e+ (1 —e)SuC=s. =), if (x.y) € le, 1%, 3)
max(x, y), otherwise.

It is.clear that semi-uninorms have similar structure to uninorms and the members
of AJM™ and A" are conjunctive (i.e., U(0, 1) = U(1,0) = 0) and disjunctive
(1.e.,U(0, 1) =U(1,0) = 1), respectively.

Definition 3 (See [18]) An element s € [0, 1] is called an idempotent element of
operation G : [0, 11> — [0, 1]if G(s, s) = s. Operation G is called idempotent if
all elements from [0, 1] are idempotent.

Theorem 3 (See [18]) Let e € [0, 1]. Operations

Ulx,y) = [m?x(x, ), if(x, y)- e [e, 177 o
min(x, y), otherwise
and
Uie.y) = {min(x, . @y €, o] o
max(x, y), otherwise

are unique idempotent uninorms in N™™ and N™, respectively.

Definition 4 (See [10]) An operation V : [0, 11?2 — [0, 1] is called a nullnorm if it
is commutative, associative, increasing, has a zero element z € [0, 1] such that

(i) V(@O,x)=V(x,0) =x forall x < z,
@) V(1,x)=V(x,1)=x forall x > z.

By Definition 4, the case z = 0 leads back to t-norms, while the case z = 1 leads
back to t-conorms.

Definition 5 (See [12]) Operation F : [0, 11?2 = [0, 1] is called t-operator if it is
commutative, associative, increasing and such that F (0, 0) = 0, F(1, 1) = 1 and the
functions Fy and F are continuous, where Fo(x) = F(0, x) and Fi(x) = F(1, x).
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The fact that Definitions 4 and 5 are equivalent was proved by Mas et al. [13], but
their respective extensions semi-nullnorms and semi-t-operators are not. In this paper,
only semi-t-operators will be recalled because we only consider the distributivity
between semi-t-operators over semi-uninorms.

Definition 6 (See [6]) An operation F : [0, 117 — [0, 1] is called a semi-t-operator
if it is associative, increasing, fulfill #(0,0) = 0, F(1,1) = 1 and such that
the functions Fy, F;, FO, F! are continuous, where Fo(x) = F(0,x), Fi(x) =
F(l,x), F(x) = F(x,0)and F'(x) = F(x, 1).

Let F,  denote the family of all semi-t-operators such that F(0,1) = a and
F(1,0) =b.

Theorem 4 (See [11]) Let F: [0, 112 > [0,1], F(0,1) = a and F(1,0) = b.
Operation F € F, p if and only if there exists an associative semi-t-norm Tr and an
associative semi-t-conorm Sg such that

aSr(%, %), if (x,y) €10,a]
b+ (1 —b)Tr(3=2. 1=). if (x.y) € [b, 17

F(x,y) = qa, if (x,y) €10,a] x [a,1] (6)
b, if (x,y) € [b,1] x [0, D]
X, otherwise

fora < b and

bSE(5. %), if (x. ) €10, b]%,
a+(1—a)Tr(FEL, %) if(x,y) €la, 1]

F(x,y) = 1a, if (x,y) €[0,a] x [a, 1] (N
b, if (x,y) € [b,1] x [0, b]
v, otherwise

forb < a.

Remark 1 (See [6]) Clearly, the class F; ; is a class of associative semi-nullnorms
with zero element z. But this paper does not involve it since the distributivity between
semi-nullnorm and semi-uninorm is investigated by Drewniak et al. [5]. Hence, we
always assume a # b for any element of 7, 5.

Next, for convenience sake, let us a new concept quasi-t-operator. Only difference
with semi-t-operator is that quasi-t-operator has not associativity.

Definition 7 (See [6]) Let F : [0, 1]> — [0, 1], F(0, 1) = a and F(1,0) = b. We
call F a quasi-t-operator if there exists a semi-t-norm Tr and a semi-t-conorm Sg
such that F has the form (6) when a < b and the form (7) when b < a.
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Let QF, p denote the family of all quasi-t-operators such that F(0, 1) = a and
F(1,0) = b. Now, we recall the distributivity equations (see [1], p. 318).

Definition 8 (See [1]) Let F, G : [0, 11> — [0, 1]. We say that
(1) F is left distributive over G, if for all x, y, z € [0, 1],

F(x,G(y,2)) = G(F(x,y), F(x,2)). ®)
(ii) F is right distributive over G, if for all x, y, z € [0, 1],
F(G(y,2),x) = G(F(y,x), F(z, x)). 9

If Egs. (8) and (9) are fulfilled simultaneously, for example, F is commutative, we
say that F is distributive over G.

Lemma 1 (See [6]) Let F : X*> — X have right (left) neutral element e in a subset
W #£Y C X (ie, Yyey, F(x,e) = x (F(e, x) = x)). If operation F is distributive
over operation G : X*> — X fulfilling G (e, e) = e, then G is idempotent in Y.

Corollary 1 (See [6]) If operation F : [0, 11?2 — [0, 1] with neutral element e €
[0, 1] is distributive over operation G : [0, 1172 — [0, 1] fulfilling G (e, e) = e, then
G is idempotent.

Lemma 2 (See [6]) Every increasing operation F : [0, 112 — [0, 1] is distributive
over max and min.

3 Distributivity of F € F, ; over G € N™in y N/max

In this section, we will discuss the distributivity of semi-t-operators F' € F, 5 over
G € N™" U N3 Depending on the inequality between a and b of operation F,
the assumption @ # b, and the membership between G and ./\/emi“ UNM there are
four different cases: (1) a < band G € N™" (2)a < band G € N™*, (3)a > b
and G € N™" (4)a > b and G € N/™", In this paper, only Case (1) are discussed
in detail, the results of Case (2) are listed because proof are similar. For Cases (3)
and (4), their results are omitted because they can be obtained by exchanging a and
b, (4) and (5), (8) and (9). At first, let us prove the following two lemmas which are
useful in whole section.

Lemma 3 Leta,b,e € [0,1]. If F € Fup is left or right distributive over G €
NM then G is the idempotent uninorm (4).

Proof Leta, b, e € [0, 1]. Then G(0,0) =0and G(1,1) = 1. If a < b, then F has
the form (6) and O is the right neutral element on the set [0, b], 1 is the right neutral
element on the set [a, 1]. Applying twice Lemma 1, operation G is an idempotent
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uninorm and it is given by (4). Similar, if b < a then F has the form (7) and O is the
left neutral element on the set [0, a], 1 is the left neutral element on the set [b, 1].
Applying again twice Lemma 1, operation G is yet an idempotent uninorm and it is
given by (4).

Similar to Lemma 3, we have the following lemma.

Lemmad4 Leta,b,e € [0,1]. If F € F,p is left or right distributive over G €
NI then G is the idempotent uninorm (5).

Next, let us consider Case (1),i.e.,a < band G € Nemin.

31a<bandG € N’emi“

Lemma 5 Le_t a,b,e € [0,11and a < b. If F € F, is left or right distributive
over G € N™ then e > a.

Proof Over there, we only prove the left distributivity of F € F,  over G € /\/emi“
because it is similar to the right distributivity. On the contrary, let us assume that
e < a, then it follows that e = F(e,0) = F(e, G(1,0)) = G(F(e, 1), F(e,0)) =
G(F(e,1),e) = G(a, e) = a. This is a contradiction. So ¢ > a.

By Lemma 5 and assumption a < b, we only need to consider the following two
subcases: a < e < banda < b < e. Now, let us study the subcase a < e < b.

Proposition 1 Let a, b, e € [0,1]and a < e < b. F € Fup is left or right
distributive over G € N;™ if and only if G is the idempotent uninorm (4).
Finally, let us discuss the case a < b < e.

PropositionZ_ Leta,b,e € [0,1]anda < b < e. F € QF, is left distributive
over G € N)"™ ifand only if G is the idempotent uninorm (4) and F has the following
form:

aSp(£,2) if (x,y) €10, al?,

A, if (x,y) € [b, el

A, if (x,y) € [e, 117,

Flx.y) = As, if (x,y) €le, 1] x [b, e], (10)

min(x, y), if(x,y) € [b,e] X [e, 1],

a, if (x,y) €10,a] x [a, 1],

b, if (x,y) € b, 1] x [0, b],

X, otherwise,

suchthat F(x,1) = F(1,x) = xand F(x,b) = F(b,x) = bholdforall x € [b, 1],
where Sg is a semi-t-conorm, e is a right side neutral element of A1 : [b, e >
[b,el, Ar : [e, 11> = [e, 1], Az : [e, 1] x [b,e] — [b, e] and Sp, A1, A, Az are
increasing operations having common boundary values.
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Propositi0n3 Leta,b,e € [0,1landa < b < e. F € QF, ) is right distributive
over G € N;"™ ifand only if G is the idempotent uninorm (4) and F has the following
form:

(aSp(2.2) if(x.y) €10,al?,

At if (x,y) € [b, e,

A, if (x,y) € e, 112,

Flx.y) = A?, l:f(x, y) € [b, e] x [e, 1], (11

min(x, y), if(x,y) €[e, 1] x [b, e],

a, if (x,y) €10,a] x [a, 1],

b, if (x,y) € [b, 1] x [0, D],

X, otherwise,

suchthat F(x,1) = F(1,x) = x and F(x,b) = F(b,x) = b holdforall x € [b, 1],
where Sr is a semi-t-conorm, e is a right side neutral element of A1 : [b, 6]2 —
(b, e, As : [e, 11> — [e, 1], Az : [b,e] x [e, 1] — [b, e] and Sp, A1, As, Ax are
increasing operations having common boundary values.

By Propositions 1, 2, 3 and Theorem 3.42 in [10], we have the following theorem.

Theorem 5 Leta,b,e € [0, 1]anda < b. F € F,} is distributive over G € ./\/emin
if and only if one of two results holds.

(i) Ifa < e < b, then G is the idempotent uninorm (4).
(ii) If a < b < e then G is the idempotent uninorm (4) and F has the following

form:
[aSp (£, ), if (x.y) € [0,a?,
b+ (e—DTI(EZL, Y20 if (x,y) € b, el
e+ (Il—en(=E, =5, if(x.y) €le. 112,
F(x,y) = {min(x, y), if (x,y) € [b,e] x [e, 11U e, 11 x [b, el,
a, if (x,y) €[0,a] x [a, 1],
b, if (x,y) € [b,1] x [0, b],
X, otherwise,

12)

where SE is a associative semi-t-conorm, T and T, are associative semi-t-norms.

32a<bandG € N’emax

In this subsection, we only list the results of the case a < b and G € N, X because
their proofs are similar Sect. 3.1.
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Lemma 6 Leta,b,e € [0,1]anda < b. If F € F, is left or right distributive
over G € N™*, then b > e.

By Lemma 6 and assumption a < b, we only need to consider the following two
subcases:a <e <bande < a.

Proposition4 Let a,b,e € [0,1] and a < e < b. F € F, is left or right
distributive over G € N if and only if G is the idempotent uninorm (5).

Proposition 5 Leta,b,e € [0, 1] and e < a < b. F € QF,p is left distributive
over G € N™ ifand only if G is the idempotent uninorm (5) and F has the following
form:

[b+ (= D)Tr(=E, 125 if (v, ) € [b, 17,

Ay, if (x,y) €10, e,

Ag, if (x.y) € [e,al’,

Fx.y) = Az, l:f(x, y) € [0, e] x [e, al, (13)

max(x, y), if (x,y) € [e,a] x [0, e],

a, if (x,y) €[0,a] x [a, 1],

b, if (x,y) € [b,1] x [0, b],

X, otherwise,

suchthat F(x,0) = F(0,x) = xand F(x,a) = F(a, x) = a holdforall x € [0, a],
where Tr is a semi-t-norm, A; : [0,¢e]?> — [0, ¢], e is a right side neutral element
of Ay : [e,al*> — [e,al, A3 : [0,¢e] x [e,a]l — [e,a] and Ay, Aa, A3, TF are
increasing operations having common boundary values.

Proposition 6 Letra,b,e € [0,1]ande < a < b. F € QF,, is left distributive
over G € N™ ifand only if G is the idempotent uninorm (5) and F has the following
form:

b+ (1—-b)Tr(3=2.3=0), if (x.y) € [b, 12,

Ay, if (x,y) €10, e,

Ag, if (x,y) € [e,al’,

Flx.y) = Az, l:f(x,y) € [e,a] x [0, e], (14)

max(x, y), if (x,y) €[0,¢e] x [e, al,

a, if (x,y) €0,a] x [a, 1],

b, if (x,y) € [b, 11 x [0, b],

[ X, otherwise,

suchthat F(x,0) = F(0,x) = xand F(x,a) = F(a, x) = a holdforall x € [0, a],
where Tr is a semi-t-norm, A; : [0, ¢]*> = [0, ¢], e is a right side neutral element
of Ay 1 [e, a]2 — le,al], Az : [0,¢e] x [e,a]l — le,a] and Ay, Ay, A3, TF are
increasing operations having common boundary values.
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By Propositions 4, 5, 6 and Theorem 3.42 in [10], we have the following theorem.

Theorem 6 Letra,b,e € [0, 1]anda < b. F € Fu is distributive over G € N"
if and only if one of two results holds.

(i) Ifa < e <b, then G is the idempotent uninorm (5).
(ii) If e < a < b then G is the idempotent uninorm (5) and F has the following

form:

eS1(3, %), if (x,y) €10, el?,

et (a—e)$H(3=. 2=5),  if (x.y) € le.al?,

max(x, y), if (x,y) €10, e] x [e,a]Ule,a] x [0, e],
Fx,y) =16+ -T2 320 ifx,y) e (b 112,

a, if (x,y) €[0,al x [a, 1],

b, if (x,y) €lb, 1] x [0, D],

| X, otherwise,

15)

where Tr is a associative semi-t-norm, S| and S»> are associative semi-t-conorms.

4 Conclusion and Further Work

In this paper, we investigated the distributivity equations between semi-uninorms
and semi-t-operator, which are generalizations of uninorms and t-operators by omit-
ting their commutativity, respectively. The obtained results extend the previous ones
about distributivity between uninorms and nullnorms or between semi-uninorms and
semi- nullnorms. For examples, Propositions 4.2 and 4.3 in [13] are special cases
of Theorems 6 and 5 of this paper. In the future work, we will concentrate on the
distributivity equations among other cases.
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Complex Fuzzy Set-Valued Complex Fuzzy
Integral and Its Convergence Theorem

Sheng-quan Ma and Sheng-gang Li

Abstract This paper is devoted to propose the convergence problem of complex
fuzzy set-valued complex fuzzy integral base on the complex fuzzy sets values com-
plex fuzzy measure. We introduces the concepts of the complex fuzzy set-valued
complex fuzzy measure in [1], the complex fuzzy set-valued measurable function
in [2], and the complex fuzzy set-valued complex fuzzy integral in [3]. And then,
we focuses on convergence problem of complex fuzzy set-valued complex fuzzy
integral, obtained some convergence theorems.

Keywords Complex fuzzy set-valued measure - Complex fuzzy set-valued mea-
surable function + Complex fuzzy set-valued complex fuzzy integral - Convergence
theorem

1 Introductions

In 1998, fuzzy measure range is extended to the fuzzy real number field by Wu
et al. [4] etc., which give the definition of Sugeno integral base on fuzzy number
fuzzy measure, Guo et al. [5] etc. Also give the definition of (G) integral on fuzzy
measure of fuzzy valued functions, which will be generalized the Sugeno integral to
fuzzy sets [6]. In 1989 Buckley [7] proposed the concepts of fuzzy complex number,
including people need to consider the measure and integration problems of fuzzy
complex numbers, introduction fuzzy distance by Zhang [8—12], which discussed
the fuzzy real valued measure problem of fuzzy sets, and give the fuzzy real valued
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fuzzy integral; in 1996, fuzzy measure and measurable function concept is extended
to fuzzy complex sets by Qiu et al. [13], which given the concept of complex fuzzy
measure, complex fuzzy measurable function and complex fuzzy integral, Wang
and Li [14] etc. in 1999 based on the concepts of fuzzy number of Buckley, gives
the concept of fuzzy complex valued measures and fuzzy complex valued integral,
obtain some important results. The [15—17] study measurable function and its integral
of complex fuzzy number set, especially Sugeno and Choquet type fuzzy complex
numerical integral and its properties, and its application in classification technique.
In this paper, base on the research work on the basis of [1-3], gives the convergence
theorem of complex fuzzy set-valued complex fuzzy integral, lays a foundation for
the complex fuzzy set-valued complex fuzzy integral theory.

2 Complex Fuzzy Set-Valued Complex Fuzzy Measure

Definition 1 ([18]) Suppose (X, F) is a classic measurable space, E — F, mapp~ing
f X — [—o00,+o0],fis calle~d real valued Illeasurable function of (X, F) on E, if
and only if Vo € (—o0, +00), ENxE, € F, EﬂxCF € F,where Fy = {x : f(x) >

o}, mapping f X — F*(R), f is called real valued measurable function of (X, F)
on E ifand only if VA € (0, 1], 3.~ (x), fo. T (x) is areal valued measurable function,
where

Fo= | MU a2 | Ao, £l

r€[0,1] r€[0,1]

Definition 2 ([1]) Suppose Z is a non-empty complex numbers set, F(Z) is set
kinds on Z that consisting of by all complex fuzzy set p is fuzzy complex valued
distance that defined in F'(Z), set function

fi: F(Z)— F{(K)={A+iB:A BeFi(R),i=+v-1},
A+iB (A+iB) e FX(K)
called complex fuzzy set-valued complex fuzzy measure on (Z, F(Z)) if and only
if
I fu(¢) =0,0=(0,0),0 € F*(K),

2. YA,B € F(Z),A C B = u(A) < ji(B), where Reji(A) < Refi(B), Imji
(A) < Imj(B),

3. (AW CF (D) A, C A (n=1,2.. ):>,011n1u (UA)

4, {An] CF(Z)Ay D Appi(n=1,2..),

note as &t = Rept + ilmp 2 AR +ifg, (i =+/—1).
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Definition 3 ([2]) Suppose Z C K is a non-empty set of complex numbers,
(Z, F(Z)) is a classical complex measurable space, E € F(2), mapping f : Z —
K, called f is a complex valued measurable function on E about (Z, F(Z)), if and
only if Va +ib € K, E N xr,, € F(Z),and E N x“F,, € F(Z), where

Fop ={z€ KIRe[f(2)] =z a,Im[f(2)] = b}.

Definition 4 ([2]) Suppose Z is a non-empty complex numbers set, E € F(2),
mapping f : Z — Fo(K),z— f (2) =Ref (2) +ilmf (2) € Fo (K),i = v/—1,

Fo= U *(refc)] +i U #[mf@]

€[0,1] 2€[0,1]

U ARe fi. (2) +i U AIm £ (2)

€[0,1] Ar€[0,1]

2 U rRef @ Reff @]+ U A @.mfF @),
A€[0,1]

2€[0,1]

then (Z, F (Z), i) is complex fuzzy valued fuzzy measure space, called f is com-
plex fuzzy valued complex fuzzy measurable function on E about (Z, F (Z), iv) if
and only if VA € [0, 1], Re f,\(z), Im f,\(z), which are complex valued measurable
function on E about (Z,F(Z))

record A
Faps={z=a+iB :RefF (2) > o, Imf (2) > B},
where
Ref" (2) > a,
express
Ref," (z) = wandRef; (2) = o, Imfi" (2) = B,
express

Imf," (z) > BandImf, (z) > B, Ve, B € [0, 0),

thus, f is complex fuzzy valued complex fuzzy measurable function on E about
(Z,F(Z), ) if and only if VA € [0, 1], E N XFyp, € F(Z), ENXF,, €

FZM ( ) express all of the complex fuzzy set-valued measurable function on E.
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3 Complex Fuzzy Set-valued Complex Fuzzy Integral
and Its Properties

Definition 5 _([3]) Suppose (Z, F (2), ) is complex fuzzy set-valued fuzzy mea-
sure space, E € F(Z), [ : Z — Fo(K), define f is complex fuzzy set-valued
complex fuzzy integral on E about fi,

/E e ( /E Re fdir. /E Imfdﬁ)l,

/E Refdir= | A[ / Refi~dfir. / Refﬁd;zR}

2€[0,1] E E

where

ael0,00) a€l0,00)

A[ /E Im f,~djiz, /E Imfﬁdfu]

= U Al sup aAImﬂ;(AﬁXFMf, sup a/\Im;l;LL(AﬂXFMZJr ,
ref0,1]  L€l0.:00) "7 ael0,00) “

= U A |: sup a ARefi; (A N XFM_F) , sup « ARe,&}f (A~ N Xp,, 1+):|
rel0,1]

[ = U

2e[0,1]

where
Fre1” ={zIRefi” (2) = a},

Fraa’ ={zIRefi" (2) = o},
Fra2” ={zllmfi” (2) > a},
Fra2" ={zllmf;* (2) = o},

now called f complex fuzzy set-value complex fuzzy integrable in E about /L.

Complex fuzzy set-valued complex fuzzy integral has the following important
properties:

Theorem 1 (/3]) Suppose (Z, F (Z) , 1) is complex fuzzy set-valued fuzzy measure
space:
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1. VEe F(Z), feM (E) then
| faier .
E

2. Suppose E € F(2), sz eM (E), X 1s the characteristic function OfE, then
[z fdi= [ fxzdf,
3 L EcF2).IffeM (E) if i (E) — 0, then

/Efdﬁ=(),

4 Lt A,BeF ). IffeM (E) if A C B, then

/ fdi < / fdi.
A B

5. Letﬁe]:(Z).[fﬁ,ﬁeM(E),ifﬂ C foin A, then

/A fidii /A fadi,

these properties are demonstrated in [18]. Here ignore.

4 Complex Fuzzy Set-Value Complex Fuzzy Integral
and Its Convergence Theorem

Theorem 2 Suppose (Z,F (Z), i) is complex fuzzy set-valued fuzzy measure

space, { i } is non-negative complex fuzzy set-valued complex fuzzy integrable func-
tion sequence in (Z, F (Z), 1), A € F(Z), ifin A, {fn} monotone convergence in
[ incrementing, then ”li)ngo Ja fodit = [, fdji.

Proof Suppose A = X, because f,, < f, (n=1,2,...), so by the generalized
complex fuzzy set-valued complex fuzzy integral properties have the following result

im [ fdi < / Fdi.
n—oo X X

now to proof the opposite inequality.
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Let I = [y fdfi. Then

1. if I = 0, conclusion obvious,
2. if0 < I < oo+ ioo then

I= sup S (Rea, Re,&(f)a) +i sup S (Ima, Imj (fa))

Rea€[0,00) Ima€[0,00)

to know the exist oy > 0 makes

~ ] X 1
s (Reak, Reji (fak)) >Rel—5. (Imak, Imji (fak)) >Iml—>.

(k=1,2,..)), another f, 1 ~f have

(7)., 1 (1),

then using the properties of generalized triangle norm, know exist n, such that,
when n > ng,

s (Reak, Reji ( fak))

1 e 1
>Rel -5 (Imak, Imji (fak)) SIml=s (k= 1.2,

when n > ny,
- 1
/fndﬂ>1——,(k=1,2,---),
X k

by the arbitrariness of k have
/ fdp < lim | fudi.
X n— o0 X
3. if I = 0o + ioo, then ;. > 0 makes

s (Reak, Reji ((fak))) >k,

SImay, Imi(fu))>k, (k=1,2,...),

exit ny, such that when n > ny,

S (Reak, Rejt (fak)> > k,
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s (Imozk, Imji (fak)) >k,
then
Jim | fadii 2 /X faiv = S (Reox. Refi (fuy ) )
+iS (Imak,lm/l (fak)) S ktik(k=1,2,..),

that is ,,ILH;OIX fadit > [y fdfi.
Theorem 3 Suppose (Z,F (Z), i) is complex fuzzy set-valued fuzzy measure
space, { fn} is complex fuzzy set value complex fuzzy integrable function sequence

in(Z,F(Z), i), AeF(2),ifinA, {fn} decrease monotonically converges to f,

and for arbitrarily ¢; > 0, (i = 1, 2), where ¢ = &1 + &> exit ng makes

ﬂ(’x|fno >/fd,tl+s]ﬂA) < 00+ i00,
A

then
iim [ i = [ Fi
PVOOff1 fi' ,SOfAfldlszfAfzdﬁz...’then
i | = 3, | .
n—>o0
there

O/S/fnd,u_ A Re/ fodit+i N Im | fadf,
n=1l /4 n=1 A

/A fudii = /A fdia
x / fodii > / fdii
n=1/4 A

if O/SlfAfnd,a > [, fdfi, then [, fdji = A < 00 +ico where A = A| + i), and
n=
there is y; € (0, o0) where y = y1 4+ iy», (i = 1, 2) makes

due to Vn, fn > f, SO

have

OO
n—l fnd,u >y > A,
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=Vn, sup S (Rea, Re/l[(fn)a N A])

Reae[0,00)

i sup S (Ima, Imji ((f")a n A])) >y,

Imae[0,00)

= Vn, S (y, i ((f")y n A)) =5 (Rey, Reji ((f")y N A))
+iS (Imy, Imji ((ﬁ,)y N A)) >y,

take & = 24 (1 = 1, 2) exit n,
ﬁ(<x|fno >/Afd,a~|—5]ﬁA) < 004000,y =M +28 > A+ ¢
= {XIfnozy} c {XIfno >k+8},
= (a0 (7)) = ({11 = 242 na) <00t ice

By the continuity of 1, A N (fnl)y D2AN (ﬁ”)y D...,
()
[0 - (o0 ==

/ fdp = sup S (Rea, Reji [fa N A])

A Reae[0,00)

1DQ

——

=

(

+i sup S (Im(x, Impa [fa N A])

Ima€[0,00)
> (Rey, Reji [fy n A]) +iS (Imy, Imji [fy N A]) > =A1+ik,

~ oo ~ - ~ .
conflicting with [, fdfi = X, so /\lfA fudin = [, fdx, thatis
n=
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lim [ fudp = / fdj.

Theorem 4 Suppose (Z,F (Z), 1) is complex fuzzy set-valued fuzzy measure

space, { fn} is complex fuzzy set value complex fuzzy integrable function sequence

in(Z,F(Z),it) A € F(2Z), ifin A, {fn} convergence in f and for arbitrary
ex > 0, (k =1, 2), where, ¢ = & + iey exit ng makes

ﬁ([x| sup f >/fd;1+8] ﬂA) < 00+ io0.
nzno A
then ,,l“éofA fudin = [, fdi.

Proof Lethy = v fe g = A fiThen (i} | fand (3} t F.Gn < fu <
S0 a -

/ dndii < / fudii < / Fndii
A A A

lim [ gudip= lim [ fudit
A

n— o0 A n—o0

by theory 3,

= lim hpdit = lim fd,u
n—oo A n—od
Definition 6 ([3]) Given a fuzzy complex value fuzzy measure space (C F, ,EL) , let

fn (n=1,2,...) and f : C — F*(C) are fuzzy complex value fuzzy measurable
function, A € F then

() { fn} almost everywhere converges to f on A, if i (E) =0forE € F

and makes { f } converges to f point by point on A — E, note that f~n e f ;

o (£) <

and makes { fu } uniform converges to f point by point, note that e f

2) { fn} almost uniform converges to fonA,ifdE € Ffore > 0,

3) { fn} pseudo almost everywhere converges to f Jif o (A —FE ) = ( ~) for
E € F and makes { fn} converges to f point by point on A — E, note that f, Pae f:
“4) {fn} pseudo almost uniform converges to f, if lim n (A — Ek) =0 (A)
for {Ek} C F and makes { fn} uniform converges to f point by point on A — E for

any fixed point, k = 1,2, 3 ... note that fn Ly f;
5 { fn} converges in measure to f ,if
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ti (1o o] = ] ) =0

for any & > 0, note that f, & f;
(6) { fn} pseudo converges in measure to f, if

s (1 - 7] =} ) =1 (3)
note that f,,p—'lg f.

Theorem 5 Suppose (Z, F (Z), 1) is Complex fuzzy set-valued fuzzy measure
space { fn} , f is complex fuzzy set-valued complex fuzzy measurable function

in (Z, F(Z), 1), A € F(2), if f i f, [ is zero-additive, and for arbitrarily
ex > 0, (k=1,2), where ¢ = &1 + iy exit ng makes

ﬁ(|x| sup f,,)]/ fd,&—i—eﬂA) < 00+ 00,
n=ng A
then ,}LH;OIA fudin = [, fdfr.

Proof Because f,, & f in A, then exit B € F (Z), i (B) = 0, fi is zero-additive,
.~ A

fA\B fdp =
sup S (Rea, Reji [ﬁy N (A\B)]) i sup (Ima, Imji [ 7n (A\B)])

Reae[0,00) Imae[0,00)
= S (Rea,Reit | (AN fy) \B S (Ime, Imiz | (AN o) \B
W S (ReaRep [(ANL)\B])+i swp s (imetmiz (40 72) \8])
= sup S (Rea, Rejt (A N fo,)) +i sup S (Ima, Imp (A N fa)>
Reae~[0,oo) Reae[0,00)
= fA fdp.
Similarly

[ = [ fudi
A A\B
and because
[L([x| sup f, > / fd,tl—i—g] OA) < 00+ 0o,
nzng A

and from~the Theorem 2, obtained lim Javg fndit = [y fdir, so Jim Ju fud
L= [y fdi.
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Theorem 6 Suppose (Z,F (Z), i) is complex fuzzy set-valued fuzzy measure

space { f,,} , f is complex fuzzy set-valued complex fuzzy measurable function in

(Z,F(Z),n), A e F(2), lf{fn] uniform convergence in f in A, then

lim fnd,zz/fd;z.
n—oo A A

Proof
() If [, fdji = 00 +ioo, let G, =

II>=

| fx then

lim ﬂdﬁz/gndﬁz/fdﬁzoo+ioo.
A A A

n—oo

fdp= sup S (Reoz, Reji [fa N A]) +i sup S (Ima, Imj [fa n A])
A Reae[0,00) Ima€[0,00)

=L < 00+ i00, then,

v

Vafk,ﬂ[faﬂA] A

IA

Va>k,;l[faﬂA] A;

~ ~ oo~ ~
o, monotone decreasing trend to A, then fo,, € fo, € - and ﬂl fa,, = f>. by under
n= .

continuous of [, i (ﬁ N A) = lim £ (fa,, N A) < A, uniform convergence in f
. n—oo

in A, arbitrarily & > 0, (k = 1, 2) where ¢’ = ¢] + ig} exit ng, Vx € A,

fr@) < f@)+e=sup fr(x) < f(x)+e

n=ngo

:>[x| sup fn(x)z)»+8]ﬂAg{ﬂf@)zk}ﬂA:ﬂﬂA

n=ngo

=>/l([x| sup f (x) Zk+8} ﬂA)

n=ngo

<A<0o0+ioo _ ~
by Theorem 3 has }E%ofA fudin = [, fdjr.
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Theorem 7 Suppose (Z,F (Z), i) is complex fuzzy set-valued fuzzy measure

space, { fn} , f are complex fuzzy set-valued complex fuzzy measurable function

on (Z,F(Z),p), A € F(2) if fna—e;lf on A, and [ is zero-additive, then
lim [, fudit = [, fdji.

n—o00

Proof Similar to the proof method of Theorem 6.

Theorem 8 Suppose (Z,F (Z), i) is complex fuzzy set-valued fuzzy measure

space { fn} , f are complex fuzzy set-valued complex fuzzy measurable function

on(Z,F(Z), ), AeF(2), zfﬂ, . f in A, and [ is zero-additive, and exit
(B} S F(Z),Bi2By2 -+, ji(By) = 0

makes

lim fudfi = fdji.
=00 J A\ By A\ By

Proof If f, %5 fin A, then exit {Ex} € F(Z), i(Ex) — 0, f = f in A\E, let

k
By, = ﬂl E; C E;.

1

Then .
A\By = 0 (A\E).

Vk, f~n = f in A\ Ey, fn = f in A\ B, by Theorem 6 know the conclusion is right.

5 Conclusion

In this paper, the fuzzy measure concepts was extended from general classical set
to ordinary complex fuzzy set, fuzzy, research complex fuzzy set-valued complex
fuzzy measure and its properties, and measurable function in complex fuzzy set value
complex fuzzy measure space and its properties was studied, of the of extension of
the scope of classical measure theory, generalization of the corresponding conclusion
of classical measure theory; research Integral theory problem of complex fuzzy set-
valued function base on complex fuzzy set-valued measure, establish complex fuzzy
set-valued complex fuzzy Integral theory, which is important work in fuzzy complex
analysis. This work extends the fuzzy measure and fuzzy integral theory, to lay a
solid foundation for our future research on complex fuzzy set-valued complex fuzzy
integral application problem.
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Complex Fuzzy Matrix and Its Convergence
Problem Research

Zhi-qing Zhao and Sheng-quan Ma

Abstract In this paper, gives the definition of complex fuzzy matrix, and study
its convergence problems based on the fuzzy matrix theory, which included the
Convergence in norm and the Convergence in Power, some important conclusions
are obtained, to build and to improve the solid foundation for complex fuzzy matrix
theory.

Keywords Complex fuzzy matrix - Convergence in norm * Convergence in power

1 Introduction

The fuzzy matrix is an important part of fuzzy mathematics, which plays an important
role in the fuzziness expression of two dimensional relationship, which has important
applications in the circuit design the exchange of information, cluster analysis, etc.,
but, because the diversity of the research fields and the target, to solve complicated
system problems will require higher dimensions, in this paper, based on the fuzzy
matrix theory, gives the definition of complex fuzzy matrix, and study its convergence
problems of complex fuzzy matrix, to establish complex fuzzy matrix theory and to
laid a solid foundation for the further research.

2 Complex Fuzzy Sets and Complex Fuzzy Number

Definition 1 ([1]) Let R be the real field, C is complex field. For VX, Y € F (R),
Z = X +iY, called the complex fuzzy sets, referred to as the complex fuzzy sets.

Definition 2 ([1]) Suppose Z; = X1 +iY1,Z, = Xo+iYs € cF(0), the Opera-

tion of intersection and union be defined as: Vz = x +iy € C
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(Z1NZ2)(2) 2 (X1 N X)) A (YT NY2) () = (X1(0) A X2(0) A (Y1(0) AV2(3)

(Z1UZ2)(2) 2 (X1 UX) () AT UY)() = (X1(0) VX2 () AV () V V2 (0)).

Definition 3 Suppose {Z, = X, +iY,,y € I'} C CF(C), the operations of
infinite intersection and infinite unit of the complex fuzzy sets are defined as: Vz =

x+iyeC,

A
(VQF Zy)(2) = (VQF Xy)(x) A (VQF Y)(y) = (y/e\r Xy () A (VQF Yy, (y)

A
n Z =(U X A(CU Y. =(v X A(V Y
(yep y)(2) (yer y)(x) (yep ) (yer y () (yer y ()
Z\NZy, Z\UZy, N Z,, U Z, € CF(O).
yel’ yel’

Definition 4 The regular convex complex fuzzy sets in the complex field, Z =
X + i Y is called a complex fuzzy numbers.

3 Fuzzy Matrix

Definition 5 ([2]) All the elements of a matrix are in the closed interval [0, 1], which
called the fuzzy matrix.

Union, intersection, complement operation, the corresponding element of the two
fuzzy matrix: take big, take small, take up, which obtain a new element matrix called
their union, intersection, complement operation.

Concrete concepts and properties of fuzzy matrix, please refer to the Ref. [2].

4 Complex Fuzzy Matrix

Definition 6 Suppose X is a non empty sets of real numbers, called
C={Ax)+iB((x),x € X}
is complex fuzzy sets on X, A (x), B (x) are real fuzzy number, A (x) + iB (x) is

complex fuzzy number, where A (x) : X — [0, 1], B (x) : X — [0, 1], which ex-
pressed the real parts and the imaginary parts of C separately,0 < A (x)+B (x) < 1.
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Definition 7 Suppose C = (Aij (x) +iBjj (x)) m is matrix, all of the A;; (x) +

i Bjj (x) is complex fuzzy number for 7, j (1 < ingx n, 1 < j < n), then called C is
complex fuzzy matrix, note as CF M (n, m).

Definition 8 Suppose

C1 = (Aij (x) +iBjj (x))

nxm’

Cy = (Djj (x) +iEjj (x))

nxm

are complex fuzzy matrix, the operation of the A and B is defined as:

CiUCy = (Ajj (x) v Djj (x), Bij (x) A Ejj (x))

nxm’

Definition 9 Suppose

Ci = (Aij (%) +iBij (x))

nxm’

C> = (Dij (x) +iEjj (x))

nxm

are complex fuzzy matrix, the Product operation of the A and B is defined as:

C1C2 = (C1C2R;j (x) +iC1Calij (x))

nxm’

CiC2Rij (x) = VvV (Aix (x) A Dyj (),
1<k<m

C1Calij (x) = P (Bik (x) V Egj (x)).

5 Complex Fuzzy Matrix Norm and Convergence in Norm

Definition 10 ([3]) Let F = R or C, V is a linear space over F. If the real vector
function ||x|| on V satisfies the following properties:

1. For arbitrary x € V, ||x]| > 0,and ||x|| =0 < x =0,
2. For arbitrary k € F, x € V get | kx| = ||kl [|x],
3. For arbitrary x, y € V, get ||x + y|| < |Ix|| + Iy,

then ||x|| is called vector norm of X in V.

Definition 11 Suppose [|*|| is non negative real function on F"*", if

[C1CaRij ()| < | C1Rij (0] | C2Rij ()]

’
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|C1C21i; )| < | Cili; 0| | Catij (x)

’

then called ||*|| is CFM (n, m).

Definition 12 ([4]) Suppose (V, ||*x||) is a n-dimensional normed linear space,
X1, X2, ..., Xk, ... 18 a vector sequence of V, « is a fixed vector V, if

lim [xx —e| =0,
k— o0

then called vector sequence x1, x2, ..., Xk, . .. convergence in norm, A is the limit
of a sequence, note as:

lim x; = aorx; — «,
k— 00

vector sequence does not converge called divergence.

Definition 13 Suppose (V, ||*||) is a n-dimensional normed linear space,
€1,€2, ..., Ck, -..1s a complex fuzzy matrix sequence of V, ¢ (k) constitutes a com-
plex fuzzy matrix function, « = o R + i/ is a fixed complex fuzzy matrix of V,
if

lim |cR (k) —aR| =0, lim |cI (k) —al] =0,

k—00 k—o00

then called complex fuzzy matrix sequence ci, c2, . . ., Ck, . . . cONvVergence in norm,
a = aR + ial is the limit of a sequence, note to:klim x (k) =aorx; — a.

— 00
Definition 14 Suppose (V, ||*||) is a n-dimensional normed linear space C (k),
n=1,2,...),c: CEM (n,m) — CFM (n, m), then

1. {c (k)} almost everywhere convergence c, in V, if there is E € V,c(E) = 0,
makes {c (k)} pointiest convergence on c in V — E, note as c (k) L cin v,

2. {c (k)} almost uniform convergence ¢ in V, if there is E € V, for any ¢ > 0,
llc (E)|| < &, makes {c (k)} pointiest uniform convergence on ¢ in V — E, note
asc(k)[ﬂ;cin V,

3. {c(k)} pseudo almost everywhere convergence c in V, if there is E € V,
c(V — E) = c(E), makes {c (k)} pointiest convergence on c in V — E, note as
ct)™Scinv,

4. {c (k)} pseudo almost uniform convergence ¢ in V, if there is {E;} C V,

lim ¢(V — Er) = c¢(A) makes {c (k)} pointiest uniform convergence on c
n—oQ

i pau
inV —E, noteasc(k) — cinV.

Theorem 1 A necessary and sufficient condition of null additives of c is for any
A€eV,ce CFM (n,m), c(k) e CEM (n,m) and |CMF (n,m)|| < oo has

ka.e kp.a.u .
c( )—A>c:c( ) 7 c
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Proof: Necessity:
c(k)a—";c = c(k)“—;ic,

by consistency theorem has
. p.a.u
cH S =)= e
14 v

Sufficiency: Suppose for any B € V hasc(B) =0, letx € V — B, c(x) =0, so
obviously there is ¢ (k) ”_Vf 0, exist Py, when k — oo has ¢ (V — P) — C (V), and

{c (k)} uniform convergence 0 on V. — pr, n = 1,2, ..., at this time there will be
V—B2OV—-P,k=1,2,...,c(V—=B)>c(V—P) — c(V), therefore it is
c(V—B)=c(V).

6 The Power of Complex Fuzzy Matrix and Its Power
Convergence

Definition 15 Suppose A € CMF (n, n) power K of A is defined as A¥, among
them Al = A, AF = Ak=14,

Theorem 2 Suppose A € CFM (n, n), there are must be a positive integer P and
K, making Yk > K has Ak+P = Ak,

Proof: LetVk > 1, A = (A,'j (x) +iBjj ()C)),

. k .
AR = (A (1) + 1By (0) = (A{fj (x) +iB (x))m,
k = - - e .
Aij (.X) - 151‘1,...\,/11(_15?1 (All‘l 74N Altz A A Altkfl) )
Bikj (x) = A\ (Ail1 Vv Aitz VeV Ailkfl) s

1<ti,..tp—1=n

because the A, V is closed, so the elements number of {Ak, k > 1} in not more than

(n4”)n there must be a positive integer P and K, make AKtP = AX so forany k > K
has

Ak+p — A(k*k)+k+P — Ak*kAk+p — Ak*kAk — Ak

Theorem 3 Suppose A € CFM (n, n), which is power sequence monotone increas-
ing of A, hence
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A" = AL = A2 — Lo = Lim A,

that is, power sequences of A is Convergence.

Proof: Because power sequence of A monotone increasing, then A" < A"T! and
fromthe A"l < Av A2 v ... v A" = A", s0 A" = AT

7 Conclusion

In this paper, by studied complex fuzzy matrix convergence problems based on the
fuzzy matrix theory, which included the Convergence in norm and the Convergence
in Power, which is important work in fuzzy complex analysis, to build and to lay a
solid foundation for our future research on complex fuzzy matrix theory.
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Rough Fuzzy Concept Lattice and Its
Properties

Chang Shu and Zhi-wen Mo

Abstract Concept lattice and rough set theory, two different methods for knowledge
representation and knowledge discovery, are successfully applied to many fields.
Methods of fuzzy rule extraction based on rough set theory are rarely reported in
incomplete interval-valued fuzzy information systems. Thus, this paper deals with
the relationship of such systems and fuzzy concept lattice. The purpose of this paper
is to study a new model called rough fuzzy concept lattice (RFCL) and its properties.

Keywords Rough fuzzy concept lattice - Fuzzy concept lattice - Rough set theory *
Fuzzy formal context -+ Fuzzy formal concept + Fuzzy equivalence class

1 Introduction

With the development of computer science, more and more attention is paid to the
research of its mathematical foundations which have been the common field of math-
ematicians and computer scientists. Domain theory (DT), formal concept analysis
(FCA) and rough set theory (RST) are three important crossing fields based on rela-
tions (orders) and simultaneously related to topology, algebra, logic, etc., and provide
mathematical foundations for computer science and information science.

In this paper, a covariant Galois connection is put forward by approximation oper-
ators of rough sets, thus rough fuzzy concept lattice is established. We also discuss
its properties and attribute reduction of fuzzy format concept based on rough fuzzy
concept lattice. So profoundly reveals the connection of two knowledge discovery
tool, to prepare for the better application prospect.
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2 Rough Fuzzy Concept Lattices

Definition 1 (U VA, I ) is a fuzzy formal context, where U is a limited non-null

object set, A is a limited non-empty set of properties and /(U x A — [0, 1]) is a
fuzzy binary relations defined in object set to the set of properties. Forx € U, a € A,
1,1 (x,a)>4¢ 1,1 (x,a) > ¢

I N = ~ I, . = ~
o () {Q1u¢n<5 FOD =00, (v a) <6
tively called ¢ -cross-sectional relationship and 4 -strong cross sectional relationship.

0 < < 1isrespec-

Definition 2 (U LA, I ) is a fuzzy formal context, where U is a limited non-null

object set, A is a limited non-empty set of properties, I5(x, a) is a J-cross-sectional
relationship. A pair of dual operator between attributes and object set is defined as:

X§> ={ala € A,Vx € X, (x,a) € Is}
B§ = {x|x € U,Va € B, (x,a) € I}
XCU,BCA.

Theorem 1 (U A, I ) is a fuzzy formal context, where U is a limited non-null object
set, A is a limited non-empty set of properties, VX1, X2, X C U,VB1, B>, B C A,
the following properties are below:
(1) X C B2 & Xy C B;
(2) X1 S X2= X3 2 X35, BIC By = B; 2 B
O° < .
R N
& po° o _ po®’.
4) X7 = X(;&%,Bé g 35550’
(5) (X1UX2)5 =X 5N X5 (B1UBy)§ = By; N B3s.

o .
247

Proof (1) X C By & Vx € X,x € B & Vx € Bj,s50(x,a) € ls;a€ B &
Vx € X, when (x,a) € Is,thena € B & X§> C B.

2) X1C€Xo=>Vxe X C Xy,when(x,a) € Is,s0a € XZ; - X%.
By € By = VYa € B) C By = when (x,a) € I5, then x € B3; C BY;.

(3) Yx € X = when (x,a) € Is,thena € X§> = Va € X?,when (x,a) € Is,
then x € Xf;} = X C X§>. Va € Bg: = when (x,a) € Is,thenx € Bg =
Vx € Bg’,when (x,a) € Is,thena € B = B(‘s’; C B.

(4) For (3) there are clearly Xg:> - X?. On the other hand, Vx € X, when (x, a) €
Is,then a € X§>
= Va € X(?,when (x,a) € I5,s0x € Xg: = Vx € X;Z_O, (x,a) € Issoa €

¢ ¢ & O _ yO po _ po®°
X5, = X5, 2 X5, then Xy = X7 By = Bs  thatsuch.
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(5) Ya € (X1 U X2)®, when (x,a) € Is,x € X] U X» = x € Xj, then

(x,a) € Is = a € X%,x € Xp,when (x,a) € Is,thena € XZS = ac€
& o S o o

X5 N Xy = (X1UXa)5 © Xy5N X5

Vae X5 NXS = ae X5((x,a) € Is = x € X1),and a € X5,

(x,a)ely=x€e X)) =Vxe X UXp,(x,a)els=ac

(X1 UX2)§ . (B UB)S = B% N B3,

is similar to be proved, so omit.

Theorem 2 (U VAT ) is a fuzzy formal context, where U is a limited non-null
object set, A is a limited non-empty set of properties, for X € U, B C A, when

0 <61 <6 <1, then X;Z C Xg, B§2 C Bé’l.
Proof Ya € Xg,ﬂx € X = (x,a) € I, thusI (x,a) > 0, > 6; = (x,q) €
Is, =>ac X¢<5>1 = X§<>2 C X<<5>1' e B§2 C B§l is similar to be proved, so omit.

Definition 6 (U JA, I ) is a fuzzy formal context, where U is a limited non-null

object set, A is a limited non-empty set of properties, for the object set X € U
and the set of properties set B € A, the up and down approximate are respectively
defined as:

Xavz{aeA’aggX},X?:{a€A|a§ﬂX7&¢}

By = {x e vlxy < B}

B =[x eulxy (B # 0]
where ag = {x|x € U, (x,a) € 15},x§> ={ala € A, (x,a) € Is}.

Theorem 3 (U A, I ) is a fuzzy formal context, where U is a limited non-null object

set, A is a limited non-empty set of properties, for the object set X C U and the set
of properties set B C A, then (Vs, As) , (As, Vs) are all Galois connections.

Proof VX CU,BC A X C BP & x € X,x{ NB # ¢ & when(x,a) €
I5,s0a € B & X(SV C B, then (Vs, Ay) is Galois connection; (Ag, V) is similar
to be proved, so omit.

Theorem 4 (U VAT ) is a fuzzy formal context, where U is a limited non-null object

set, A is a limited non-empty set of properties, for the object set X C U and the set
of properties set B C A, when 0 < 01 < 6y < 1, then

v Vv A A
X51 g X52’ B(S] g B52’

A A v v
Xdl g X52’ B&l g B(SZ
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Proof By the definition, conclusion is easy to proved.

Theorem 5 (U VAT ) is a fuzzy formal context, where U is a limited non-null object
set, A is alimited non-empty set of properties, forv X1, Xo, X C U,VB1, B>, B C A,
the up and down approximation have the following properties:

(1) X1 S X2 = X5 € X35 X1 € Xo = X{j € X5,
(2) Bi € By = B); € By;, B1 € By = B} € By,
(3) Xp¥ X c X3V, BV € B C ByY,
AVA _ yA VAV _ yV AVA _ pA VAV _ pA
4) X; = X5, X5 =Xy, B; = B§, B = By,
(5) (X1 N X2)Y = X[, N XY, (X1 UXp)2 = X4 U X5,
(B1 N By)y = BY; N By;, (Bi UBy)§ = By U B

Proof (1)Va € X\ = aj € X1 € X = a € XJ; = X € X3}
Vanﬁ;:agﬁXl;é¢:>a§ﬂX2;é¢:>an%:>Xﬁ;§X%.

This proof is similar to (1), so omit.
BWre Xy = xe {x cU ’x[?mxév £ (j)},thena € A Xt Vx € X, (x.a) €

Iy = Xx)" C X.
VxeX,so(x,a)eI(;,an?:X(?gXéA:xeng.

B(SVA € B € B{Y is omitted.
Hae X" & anX2V £6 & (re Ul a e )nfrev | < x2]
& adnNX Ja € X2, so XAVA = X2 Other proof is similar, so omitted.
) 5 5 p

5 & ace XE; N XZ;, then (X1 N X2)5V = XK; N XZ;. Other proof is a €
(X1 sz)(SV o a(‘; CXi1NX, @ag C Xl,ag CX,&ace XIV(S,a € XZV(S similar,
so omitted.
Definition 7 (U, A, I) is a fuzzy formal context, where U is a limited non-null

Y

object set, A is a limited non-empty set of properties, for the object set X C U and
the set of properties set B C A. If X = BA B = X(;V, then (X, B) is referred to as
the fuzzy concept of object; if X = BY. B=X (SA, then (X, B) is referred to as the
fuzzy concept of attribution, where X is referred as the extension of fuzzy concept,
B is referred as the intension of fuzzy concept.

Definition 8 (U LA, I ) is a fuzzy formal context, where U is a limited non-null
object set, A is a limited non-empty set of properties, all the concept of fuzzy object
and concept of fuzzy attribute sets of (U, A, I ) are recorded as:

Lo (U, A, Iy) = {(x, B) )x = BA B = X(;V},
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Lp (U, A, I = {(X, B)‘X: B(SV,B:X(;A}.

Theorem 6 (U VAT ) is a fuzzy formal context, where U is a limited non-null object
set, A is a limited non-empty set of properties, on the concept of fuzzy object sets
Lo (U, A, I = {(X, B) |X = B B = X(;V} and the concept of fuzzy attribute
sets Lp (U, A, Is) = {(X, B) !X = Bév, B = X(;A }, binary relation are recorded
as:

(X1, B1) < (X2, B2) & X1 € X2(B2 € By).

Then Lo (U, A, 1), Lp (U, A, Is) are all partial order sets.

Proof (1) reflexivity: (X1, B1) < (X1, By),

(2) symmetry: (X1, B1) < (X2, B2), (X2, B2)
(X2, B2),

(3) transitivity: (X1, B1) < (X2, B2), (X2, B2) < (X3, B3) = (X1, B) =
(X3, B3).

IA

(X1,B1) = (X1,B1) =

Then binary relation < is partial order relation, so Lo (U, A, Is), Lp (U, A, I5)
are all partial order sets.

Theorem 7 Let Lo (U, A, Is), Lp (U, A, I5) be partial order sets. For
V(Xi,B))€Lo(U,A, Is)(i e I); ¥ (X;,Bj) € L, (U, A, I5)(jel),

the join and intersect operation are defined as:

VA
A (Xi, By) =((ﬂ Xi) , N Bi),
iel iel 5 iel
AV
V(XivBi)=<U Xi,( Bi) )
iel iel iel 5
VA
A (X;.B)=| n X;,| n B :
jeJ( J j) (jej J (je] j)(; )

v (xi,B))=(cu x»HaV, U B;).
jeJ( J ./) ((jej ./)5 jed 4/)

Then Lo (U, A, I5) Lp (U, A, I5) are all complete lattices.
Proof ForV (X;, B;i), (Xy, Bx) € Lo (U, A, Iy), i,k € I, then

AV AV
ﬂBigBk=><mBi) EBkAév:Bk@(ﬂBi) S N Byx= N B,
iel iel 5 iel 5 kel iel
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AV A A
m (m B) then N B, = (m Bi) .(m Bi) = (mxv) =
i=I i=1 i=I 5 iel s iel ")
(o ) 3
A VA
( , i) = ((m Bi) , N B;j) € Lo (U, A, I), then ((m X,~) ,
zel zel iel § i€l iel 5

) is lower bound of Lo (U, A, I5).
lE
On the other hand, if (X, B) is a any lower bound of Lo (U, A, I5), then

VA VA
XEXi=>X§(ﬁXi) i(X,B)S((ﬁXi) ,ﬂBi),
iel 5 iel 5 iel

VA
SOA(Xi,B,‘)Z((ﬂ X,') OB)
iel iel

5 lel
is infimum of Lo (U, A, I5); for

AV
V(Xi,Bi)=(U Xi,(U Bi) )
iel iel iel 5

is supremum of Lo (U, A, I5), this proof is omitted.
From what has been discussed above, Lo (U, A, I5) is complete lattices.
The proof about Lp (U, A, I) is omitted.

Definition 9 (U, A, I ) is a fuzzy formal context, where U is a limited non-null

object set, A is a limited non-empty set of properties, complete lattices
Lo(U,A, I, Lp(U,A,ls)

are respectively referred to as fuzzy object concept lattice and fuzzy attribute concept
lattice.

3 Conclusion

Concept lattice and rough set theory, two different methods for knowledge represen-
tation and knowledge discovery, are successfully applied to many fields. Methods
of fuzzy rule extraction based on rough set theory are rarely reported in incomplete
interval-valued fuzzy information systems. Thus, this paper deals with the relation-
ship of such systems and fuzzy concept lattice. The purpose of this paper is to study
a new model called fuzzy rough concept lattice (FRCL) and its properties. We study
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four models of FRCL and the relationship of those. Meanwhile transformation algo-
rithms and examples are be given.
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Dual Hesitant Fuzzy Soft Set
and Its Properties

Hai-dong Zhang and Lan Shu

Abstract The soft set theory, originally proposed by Molodtsov, can be used as
a general mathematical tool for dealing with uncertainty. By combining the dual
hesitant fuzzy set and soft set models, we introduce the concept of dual hesitant
fuzzy soft sets. Further some operations on the dual hesitant fuzzy soft sets are
investigated, such as complement operation, “AND” and “OR” operations, sum and
product operations.

Keywords Soft set -+ Dual hesitant fuzzy set + Dual hesitant fuzzy soft set -
Operations

1 Introduction

The soft set theory, originally proposed by Molodtsov [8], can be regarded as a general
mathematical tool to deal with uncertainty. It has been found that existing uncertainty
theories such as fuzzy sets [23], rough sets [14], intuitionistic fuzzy sets [1], vague
sets theory [6] and interval-valued fuzzy sets [4] have their inherent difficulties, but
soft set theory as a new mathematical tool for dealing with uncertainties is free
from the difficulties affecting existing methods as pointed out in [8]. In recent years,
research works on soft sets are very active and progressing rapidly. Especially, the
study of hybrid models combining soft sets with other mathematical structures is
also emerging as an active research topic of soft set theory. A lot of extensions of
soft set model have also been developed recently [2, 7, 9-12, 18, 20, 21].

H. Zhang (X)) - L. Shu

School of Mathematical Sciences, University of Electronic Science and Technology of China,
Chengdu 611731, China

e-mail: lingdianstar@ 163.com

H. Zhang
School of Mathematics and Computer Science, Northwest University for Nationalities,
Lanzhou 730030, China

© Springer International Publishing Switzerland 2016 171
B.-Y. Cao et al. (eds.), Fuzzy Systems & Operations Research

and Management, Advances in Intelligent Systems and Computing 367,

DOI 10.1007/978-3-319-19105-8_17



172 H. Zhang and L. Shu

Zhu et al. [22] introduced the dual hesitant fuzzy set which is a comprehensive set
encompassing fuzzy sets, intuitionistic fuzzy sets, hesitant fuzzy sets [15, 16], and
fuzzy multisets [13] as special cases, and whose membership degrees and nonmem-
bership degrees are represented by two sets of possible values. By several possible
values for the membership and nonmembership degrees, respectively, dual hesitant
fuzzy sets can take much more information given by decision makers into account
in multiple attribute decision making. More recently, many authors have developed
multiple attribute decision-making theories and methods under dual hesitant fuzzy
environment [3, 5, 17, 19].

Up to now, many of researches about decision making based on dual hesitant
fuzzy set are mainly focusing on the dual hesitant fuzzy set itself. Like the above
mentioned uncertainty theories, dual hesitant fuzzy set has also its inherent difficulties
of inadequacy to the parameterization tools, while soft set theory is free from the
difficulties. Therefore, the research about fusions of dual hesitant fuzzy set and soft
set is important and necessary to us. So we present the new hybrid model called
dual hesitant fuzzy soft sets by combining dual hesitant fuzzy set and soft set, and
investigate its some interesting properties.

2 Preliminaries

2.1 Soft Sets

The pair (U, E) will be called a soft universe. Throughout this paper, unless otherwise
stated, U refers to an initial universe, FE is a set of parameters, P(U) is the power set
of U,and A C E. According to [8], the concept of soft sets is defined as follows.

Definition 1 ([8]) A pair (F, A) is called a soft set over U, where F is a mapping
givenby F: A — P(U).

2.2 Dual Hesitant Fuzzy Sets

Zhu et al. [22] defined a dual hesitant fuzzy set, which is an extension of a hesitant
fuzzy set, in terms of two functions that return two sets of membership values and
nonmembership values, respectively, for each element in the domain as follows.

Definition 2 ([22]) Let U be a fixed set, a dual hesitant fuzzy (DHF, for short) set
D on U is described as:

D = {(x, hp(x), gn(x))|x € U},

in which Ap(x) and gp(x) are two sets of some values in [0,1], denoting the possible
membership degrees and non-membership degrees of the element x € U to the set
D respectively, with the conditions: 0 < v, < 1 and 0 < v* +n* < 1, where for
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allx e U,v € hp(x),n € gp(x), v* € hﬁ(x) = Uyenpymax{y},n* € gHJ)f(x) =
UnegD(x)max{n}~

For convenience, the paird(x) = (hp(x), gp(x)) is called a DHF element denoted
by d = (h, g). The set of all DHF sets on U is denoted by DH F (U).

Example 1 Let U = {x1, x2} be a reference set, d(x1) = (hp(x1), gn(x1)) =
({0.2, 0.4}, {0.6}) and d(x2) = (hp(x2), gn(x2)) = ({0.3,0.4}, {0.1, 0.5}) be the
DHEF elements of x; (i = 1, 2) to a set D, respectively. Then D can be considered as
a DHF set, that is,

D = {{x1, {0.2, 0.4}, {0.6}), (x2, {0.3,0.4}, {0.1, 0.5})}.

Let U be adiscrete universe of discourse, A and B be two DHF sets on U denoted as
A ={{(x,hp(x),gax))|x € U} and B = {{x, hp(x), gg(x))|x € U} respectively.

It is noted that the number of values in different DHF elements may be different
and the values of DHF elements are usually given in a disorder. Suppose that (A4 (x))
and /(ga (x)) stand for the number of values in /1, (x) and gy (x), respectively. To
operate correctly, Ye [19] and Chen [3] gave the following assumptions:

(A1) For a DHF set A = {(x, hp(x), ga(x))|x € U}, leto : (1,2,...,n) —

(1,2, ..., n)beapermutation satisfyinghg(s) (x) > h‘?A(Hl)(x) fors =1,2,...,n—
1, and A" (x) be the sth largest value in hp(x); let o : (1,2,...,m)
—> (1,2,...,m) be a permutation satisfying gg([)(x) > gg(t+l)(x) for r =

1,2,...,m—1,and gg(t)(x) be the rth largest value in gy (x).

(A2) For two DHF sets A and B, when [(hp(x)) # [(hg(x)), [(ga(x)) #
l(gp(x)), one can make them have the same number of elements through adding
some elements to the DHF element which has less number of elements. In terms of
the pessimistic principle, the smallest element will be added while in the opposite
case, the optimistic principle may be adopted. In the present work, we use the former
case. Therefore, if [(hp(x)) < I(hp(x)), then i (x) should be extended by adding
the minimum value in it until it has the same length as g (x); ifl(ga (x)) < [(gp(x)),
then g (x) should be extended by adding the minimum value in it until it has the
same length as gg(x).

In the following, we develop some new methods to decrease the dimension of the
derived DHF element when operating the DHF elements on the premise of assump-
tions given by Ye [19] and Chen [3], which are slightly different from some oper-
ations on DHF sets introduced by Farhadinia in [5]. The adjusted operational laws
are defined as follows.

Definition 3 Let U be a nonempty and finite universe of discourse, and A and B €
DHF(U).Denotek = max{l(hp(x)),l(hg(x))}and! = max{l(ga(x)), [(gn(x))},
thenforalll <s <k,1<t<I,

(1) the complement of A , denoted by A€, is given by

A = {{x, ga (), ha())Ix € U} = {(x, {g7" 0}, (i ) 1x € U},
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(2) the union of A and B, denoted by A U B, is given by

AUB = {{x, hy(x) Uhg(x), ga(x) N g (x))|x € U}
= {(x, (h7V ) v hGS @), (97700 A g5 P @ Ix € UY;

(3) the intersection of A and B, denoted by A m B, is given by

AMB = {(x, ha(x) Nhp(x), ga(x) U gg(x))|x € U}
= {(x, (130 ) ARG ) (971 @) v g5 ox € UY;

(4) the sum of A and B, denoted by A B, is given by

ABB = {(x. h(x) ® hp(x), g (x) ® gp()x € U}
= (., (15 00 + 150 @) — kG R ). 1] g N € U

(5) the product of A and B, denoted by A K B, is given by

ARB = {(x, ha () ® hpx), go () ® gp(0)|x € U}
= (. (1P @hGS @) 977 00 + g5 @) — 7P g5 Px € U,

where gKm (x) denotes the rth largest value in g4 (x) and hg(s)(x) denotes the sth
largest value in A (x).

Example 2 Let U = {x1, x2} be a reference set. Suppose that A and B are two DHF
sets on U defined as follows:

A = {{x1, {0.6,0.4,0.2}, {0.4,0.3}), (x2, {0.5, 0.4}, {0.3,0.1}),
B = {(x1, {0.7,0.3}, {0.2}), (x2, {0.6, 0.3, 0.1}, {0.4, 0.0}).

According to Definition 3 and assumptions given by Ye [19] and Chen [3], we
have
AUB = {(x, (h]" @) v iV 0} {gn” (1) A g ) 1x € U}
= {(x1, {0.7, 0.4, 0.3}, {0.2, 0.2}), (x2, {0.6, 0.4, 0.4}, {0.3, 0.0})};

ARB = {(x, (b7 @) ARGV 0} (gl ) v g5 Dx € U)
= {(x1,{0.6,0.3,0.2}, {0.4, 0.3}), (x2, {0.5,0.3, 0.1}, {0.4, 0.1})};

ABB = {(x, (/7Y 0+ h5Y 1) = h 0GP ), (97" e @x € U)
= {(x1, {0.88, 0.58, 0.44}, {0.08, 0.06}), (x2, {0.8, 0.58, 0.46}, {0.12, 0.01)};

ARB = {(x, (1Y 0hGY ) (90 @) + g5 0 = g1 g5 x € U)
= {{x1, {0.42,0.12, 0.06}, {0.52, 0.44}), (x, {0.3,0.12, 0.04}, {0.58, 0.1})}.
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In what follows, we first introduce the concept of the DHF subset.

Definition 4 Let U be a nonempty and finite universe of discourse. Denote k =
max{l(hp(x)),l(hg(x))}, and | = max{l(ga(x)),l(gg(x))}. For all A,B €
DHF(U), Ais said to be a DHF subset of B, if 15 (x) < hg(x) and ga (x) > gp(x)
holds for any x € U such that

ha(x) < ha(x), ga(0) = ge(x) & A5 () < hEY (), g7 (1) = g5 (x),
forall 1 <s <kand1 <t <[. Wedenote it by A € B.

Obviously, the notation € is reflexive, transitive and antisymmetric on DHF(U).

3 Dual Hesitant Fuzzy Soft Sets

In this subsection, by combining dual hesitant fuzzy sets and soft sets, we first
introduce a new hybrid model called dual hesitant fuzzy soft sets.

Definition 5 Let (U, E) be a soft universe and A € E. A pair & = (F, A) is called
a dual hesitant fuzzy soft set over U, where F is a mapping given by F : A —
DHF ().

Generally speaking, for any parametere € A, F () is a dual hesitant fuzzy subsets
in U. Following the standard notations, F'(e) can be written as

F(e) = {{x, hjp () (), gy () |x € U},

where h © (x)and g © (x) are two sets of some values in [0,1], denoting the possible
membership degrees and non-membership degrees that object x holds on parameter
e, respectively.

Sometimes for convenience, we write F as (F ,E). If A C E, we can also have
a dual hesitant fuzzy soft set (F, A).

Example 3 Let U be a set of four participants performing dance programme, which
is denoted by U = {x1, x2, x3, x4}. Let E be a parameter set, where E = {e1, e2, €3}
= {confident; creative; graceful }. Suppose that there are three judges who are invited
to evaluate the membership degrees and non-membership degrees of a candidate
X to a parameter ¢; with several possible values in [0,1]. Then dual hesitant fuzzy

soft set & = (F, A) defined as below gives the evaluation of the performance of
candidates by three judges.

F(ep) = {(x1, 0.6, 0.7,0.8}, {0.3,0.2, 0.1}), (x2, {0.4, 0.5, 0.6}, {0.3,0.2,0.1}),
(x3,{0.8,0.7,0.7}, {0.2, 0.1, 0.1}), (x4, {0.3, 0.4, 0.4}, {0.6, 0.5, 0.4})},

F(er) = {{x1,{0.5,0.6,0.4}, {0.4,0.3,0.2}), (x2, {0.5, 0.4, 0.3}, {0.5,0.3, 0.3}),
(x3,{0.7,0.8, 0.8}, {0.2, 0.2, 0.1}), (x4, {0.5, 0.6, 0.6}, {0.4, 0.3, 0.2})},
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F(e3) = {(x1.{0.4,0.4,0.3},{0.7, 0.6, 0.6}), (x, {0.5,0.7, 0.7}, {0.3,0.2,0.2}),
(x3,{0.5,0.6, 0.7}, {0.3, 0.2, 0.1}), (x4, {0.7,0.6, 0.8}, {0.2,0.1, 0.1})}.

4 Operations on Dual Hesitant Fuzzy Soft Sets

In what follows, we define some operations of dual hesitant fuzzy soft sets and then
some properties can be further established for such operations on dual hesitant fuzzy
soft sets. Firstly, we introduce the concept of dual hesitant fuzzy soft subsets.

Definition 6 Let U be an initial universe and E be a set of parameters. Supposing
thflt A,BCE,(F,A)and (G, B) are two dua} hesitant fuzzy soft sets, we say that
(F, A) is a dual hesitant fuzzy soft subset of (G, B) if and only if:

(1) A € B,and

(2) Ve € A, F(e) is a DHF subset of G(e), i.e. forallx € U and e € A, h;((s;) (x) <

(I(Y) o(t) o(t)
W2 @, 670 ) 2 70 o).

This relationship is denoted by (F, A) T (G, B). Similarly, (F, A) is said to be
a dual hesitant fuzzy soft super set of (G, B) if (G, B) is a dual hesitant fuzzy soft
subset of (F, A). We denote it by (F,A) 2 (G, B).

Example 4 Suppose that U = {xi, x2, x3, x4} is an initial universe and £ =
{e1, ez, e3} is a set of parameters. Let A = {e, e2}, B = E = {ey, e, e3}. Given
two dual hesitant fuzzy soft sets (F', A) and (G, B) as follows:

F(er) ={(x1,{0.6,0.5,0.3}, {0.4,0.3}), (x2, {0.7,0.5, 0.5}, {0.3, 0.2}),
(x3,{0.6,0.5, 0.4}, {0.3,0.1}), (x4, {0.5, 0.4, 0.2}, {0.5, 0.4})},

F(ez) ={(x1,{0.4,0.3,0.2}, {0.6,0.2}), (x2, {0.5, 0.4, 0.4}, {0.5, 0.2}),
(x3,{0.4,0.2}, {0.6,0.5,0.3}), (x4, {0.7,0.6, 0.4}, {0.3, 0.2} })1.

G(er) ={(x1, {0.7, 0.6, 0.4}, {0.3,0.2}), (x2, {0.9, 0.7, 0.6}, {0.1}),
(x3, {0.8, 0.7, 0.6}, {0.2, 0.1}), (x4, {0.6, 0.5, 0.5}, {0.4, 0.21)},

G(ez) ={(x1, {0.6, 0.4, 0.3}, {0.3,0.1}), (x2, {0.7, 0.5, 0.4}, {0.3, 0.2}),
(x3, {0.5, 0.4}, {0.2, 0.1}), (x4, {0.8, 0.7, 0.5}, {0.2, 0.1})},

G(es) ={(x1, {0.6, 0.4, 0.3}, {0.4,0.1}), (x2, {0.4, 0.3, 0.3}, {0.6, 0.5}),
(x3, {0.9, 0.8, 0.6}, {0.1}), (x4, {0.6, 0.4, 0.3}, {0.3, 0.1}).

According to Definition 6, we have (I:", A) C (G, B).
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Definition 7 The complementof(F A), denotedby(F A)¢,is defined by (F,A) =
(F¢, A), where F¢ : A —> DHF(U) is a mapping given by FC(e), foralle € A
such that F¢(e) is the complement of dual hesitant fuzzy set F(e) on U.

Clearly, we have ((F, A)°)¢ = (F, A).
Example 5 Consider the dual hesitant fuzzy soft set (G, B) over U defined in
Example 4. Thus, by Definition 7, we have

G<(e1) ={{x1,{0.3,0.2},{0.7,0.6,0.4}), (x2, {0.1}, {0.9, 0.7, 0.6}),
(x3,{0.2,0.1},{0.8, 0.7, 0.6}), (x4, {0.4,0.2}, {0.6, 0.5, 0.5})},

G (e2) ={{x1,{0.3,0.1}, {0.6, 0.4, 0.3}, ), {x2, {0.3,0.2}, {0.7, 0.5, 0.4}),
(x3,10.2,0.1}, {0.5, 0.4}), (x4, {0.2,0.1}, {0.8,0.7, 0.5})},

G (e3) ={(x1, {0.4,0.1}, {0.6,0.4, 0.3}), (x2, {0.6, 0.5}, {0.4,0.3,0.3}),
(x3,{0.1},{0.9,0.8,0.6}), (x4, {0.3, 0.1}, {0.6, 0.4, 0.3}).

By the suggestions given by Molodtsov in [8], we present the notion of AND and
OR operations on two dual hesitant fuzzy soft sets as follows.

Definition 8 Let (F, A) and (G, B) be two dual hesitant fuzzy soft sets over U.
Suppose that k = max{l(hp(x)), [(hg(x))} and [ = max{l(ga(x)), [(gp(x))}, then
the “(F, A) AND (G, B)”, denoted by (F, A) A (G, B), is defined by

(F,A)A(G,B) = (H, A x B),

where forall 1 <s <k,1 <t <land (o, ) € A X B,
H(a B) = {(x F(a)(x) th(j)(x) gp(a)(x) Ugg([g)(x)) x e U}

Definition 9 Let (1:" ,A) and (é, B) be two dual hesitant fuzzy soft sets over U.
Suppose that k = max{l(hp(x)), [(hp(x))} and [ = max{l(ga(x)), [(gp(x))}, then
the “(F, A) OR (G, B)”, denoted by (F, A) V (G, B), is defined by

(F,A) Vv (G,B)= (I, A x B),

where forall 1 <s <k,1 <t <land (o, 3) € A X B,
(o B) = (6. by (00) U b5y (). 9o (0) N G55 () 2 x € U}

Example 6 Reconsider Example 4. Then we have (F,A)A(G,B) = (H,A x B)
and (F, A) v (G, B) = (I, A x B) as follows:

H e, e1) ={{x1,{0.6,0.5,0.3}, {0.4,0.3}), (x2, {0.7,0.5,0.5}, {0.3,0.2}),
(x3,{0.6, 0.5, 0.4}, {0.3, 0.1}), (x4, {0.5,0.4, 0.2}, {0.5, 0.4})},
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H ey, e2) ={(x1, {0.6,0.4,0.3}, {0.4,0.3}), (x2, {0.7,0.5,0.4}, {0.3,0.2}),
(x3,{0.5, 0.4, 0.4}, {0.3,0.1}), (x4, {0.5,0.4, 0.2}, {0.5, 0.4})},

Hel, e3) ={(x1,{0.6, 0.4, 0.3}, {0.4, 0.3}), (x2, {0.4, 0.3, 0.3}, {0.6, 0.5}),
(x3,0.6,0.5, 0.4}, {0.3,0.1}), (x4, {0.5,0.4,0.2}, {0.5, 0.4})},

H(ea, e1) ={(x1,{0.4,0.3,0.2}, {0.6,0.2}), (x2, {0.5, 0.4, 0.4}, {0.5,0.2}),
(x3,{0.4,0.2,0.2}, {0.6, 0.5, 0.3}), (x4, {0.6,0.5, 0.4}, {0.4,0.2})},

H(ez, e2) ={(x1,{0.4,0.3,0.2}, {0.6,0.2}), (x2, {0.5, 0.4, 0.4}, {0.5, 0.2}),
(x3,{0.4,0.2},{0.6,0.5,0.3}), (x4, {0.7,0.6, 0.4}, {0.3, 0.2})},

H(ea, e3) ={(x1,{0.4,0.3,0.2}, {0.6,0.2}), (x2, {0.4,0.3, 0.3}, {0.6, 0.5}),
(x3,{0.4,0.2,0.2}, {0.6, 0.5, 0.3}), (x4, {0.6, 0.4, 0.3}, {0.3, 0.2})},

and

I(e1, e1) ={(x1,{0.7,0.6,0.4}, {0.3,0.2}), (x2,{0.9,0.7, 0.6}, {0.1}),
(x3,{0.8,0.7,0.6}, {0.2, 0.1}), (x4, {0.6, 0.5, 0.5}, {0.4, 0.2})},

(e, e2) ={({x1,{0.6,0.5,0.3}, {0.3,0.1}), (x2, {0.7, 0.5, 0.5}, {0.3, 0.2}),
(x3, {0.6, 0.5, 0.4}, {0.2, 0.1}), (x4, {0.8,0.7,0.5}, {0.2, 0.1})},

i(e1, e3) ={({x1,{0.6,0.5,0.3}, {0.4,0.1}), (x2, {0.7, 0.5, 0.5}, {0.3, 0.2}),
(x3, {0.9, 0.8, 0.6}, {0.1}), (x4, {0.6, 0.4, 0.3}, {0.3, 0.1})},

(e, e1) ={(x1,{0.7,0.6,0.4}, {0.3,0.2}), {x2, {0.9,0.7, 0.6}, {0.1}),
(x3,{0.8,0.7,0.6}, {0.2, 0.1, 0.1}, (x4, {0.7, 0.6, 0.5}, {0.3, 0.2})},

(e2, e2) ={(x1, {0.6,0.4,0.3}, {0.3,0.1}), {x2, {0.7,0.5, 0.4}, {0.3,0.2}),
(x3, {0.5, 0.4}, {0.2,0.1,0.1}), (x4, {0.8,0.7,0.5}, {0.2, 0.1})},

I(e2, e3) ={(x1,{0.6,0.4, 0.3}, {0.4,0.1}), (x2, {0.5, 0.4, 0.4}, {0.5, 0.2}),
(x3,{0.9,0.8, 0.6}, {0.1}), (xs, {0.7, 0.6, 0.4}, {0.3, 0.1})}.

Theorem 1 Let (F, A) and (G, B) be two dual hesitant fuzzy soft sets over U. Then

(1) (E, A) A (G.B)) = (F. A) v (G.B),
(2) (F.A)V (G, B) = (F,A) A (G, B)'.

Proof (1) Suppose that (F,A)A(G,B) = (H A x B). Therefore, by Definitions
7 and 8, we have ((F, A) A (G, B))° = (H,A x B)* = (H®, A x B), where
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for all (o, 3) € A x B, H (o, §) = {(x,gﬁ(aﬂ)(x),hﬁ(aﬁ)(x)) cx e U} =
{(x, gﬁ(a)(x) U gf;(g)(x)a hﬁ(a)(x) N h(';(’g)(x» tx e U}

On the other hand, by Definitions 7 and 9, we have (I:“, A)C\/(G, B)C = (}:"c, A)V
(G¢,B) = (I, A x B), where for all (o, 3) € A x B, I(a, 8) = CNTINENY
gé(ﬁ)(x), hﬁ(a)(x) ﬂhé(ﬁ)(x)) :x € U}. Hence, (H, A x B) = (I, A x B).

(2) The result can be proved in the similar way.

Theorem 2 Let (F, A), (G, B) and (H, C) be three dual hesitant fuzzy soft sets
over U. Then we have

(1) (F, A) A (G, B) A (H,C)) = (F, A) A (G, B) A (H, C),

(2) (F, AV (G, B)V (H,C)) = (F, AV (G, B) V (H,C),

(3)(F,A) N((G,B) VvV (H,C))=((F,A) NG, B)V ((F,A)A(H,C)),

(4) (F,A) v ({(G,B)AN(H,C))=((F,A) Vv (G,B)ANWF,A)V (H,C)).

Proof 1Tt can be directly followed from Definitions 8 and 9.

Remark 1 Suppose that (F , A) and (G, B) are two dual hesitant f~uzzy soft sets over
U. It is noted that for all (a, ) € A x B, if « ;éﬁ, then (G, B) A (F,A) #
(F,A) A (G, B),and (G, B) vV (F, A) # (F,A) v (G, B).

Next, based on the operations in Definition 3, we first present sum and product
operations of dual hesitant fuzzy soft sets.

Definition 10 The sum operation on the two dual hesitant fuzzy soft sets Fand G
over U, denoted by F H G = H, is a mapping given by H : E — DHF (U), such
that foralle € E,

H(e) = {{x, h g, (¥), 953, (*)) : x € U}

{
= {00 B ) () B R ) (%), Gy (X) B g5,y (X)) 1 x € U
Definition 11 The product operation on the two dual hesitant fuzzy soft sets F and

G over U, denoted by F )X G = I, is a mapping given by I : E — DH F(U), such
that foralle € E,

I(e) = {(x, hf(e)(X),gi(e)(x)) x €U}
= {{x, hﬁ(e)(x) ® h(;(e)(x)v gﬁ(e)(x) ® gé(e)(X)) :x e U}.

Example 7 Let us consider the dual hesitant fuzzy soft set G in Example 4. Let F
be another dual hesitant fuzzy soft set over U defined as follows:

Fer) ={(x1,{0.4,0.3,0.2}, {0.6,0.5}), (x2, {0.6,0.4,0.3}, {0.4,0.2}),
(x3, {0.5,0.3,0.1}, {0.4,0.3}), (x4, {0.7, 0.6, 0.5}, {0.3, 0.1})},



180 H. Zhang and L. Shu

F(e2) ={(x1,{0.8,0.6,0.4}, {0.2,0.1}), {x2, {0.7,0.6,0.5}, {0.3,0.2}),
(x3, 0.7, 0.4, 0.3}, {0.3, 0.1}), (x4, {0.4,0.2,0.1}, {0.5, 0.4})},

F(e3) ={(x1, {0.4,0.3,0.3}, {0.6, 0.4}), (x2, {0.8, 0.6, 0.5}, {0.2, 0.1}),
(x3,10.5, 0.4, 0.4}, {0.5,0.4}), (x4, {0.7,0.5,0.2}, {0.2, 0.0}).

Then by Definitions 10 and 11, we have

(FBG)(er) ={{x1, (0.82,0.72,0.52}, {0.18, 0.10}), (x2, {0.96, 0.82, 0.72}, {0.04, 0.02}),
(x3, {0.90, 0.79, 0.64}, {0.08, 0.03}), (x4, {0.88, 0.80, 0.75}, {0.12, 0.02}}},

(F B G)(ez) ={(x1,{0.92,0.58,0.58}, {0.06, 0.01}), (x2, {0.91, 0.80, 0.70}, {0.09, 0.04}),
(x3,{0.85, 0.64, 0.58}, {0.06, 0.01}), (x4, {0.88,0.76, 0.55}, {0.10, 0.04})},

(F B G)(e3) ={{x1, {0.76,0.58, 0.51}, {0.24, 0.04}), (x2, {0.88, 0.72, 0.65}, {0.12, 0.05}),
(x3, {0.95, 0.88, 0.76}, {0.05, 0.04}), (x4, {0.88, 0.70, 0.44}, {0.06, 0.00})}.

(F R G)(er) ={(x1,{0.28,0.18, 0.08}, {0.72, 0.06}), (x, {0.54, 0.28, 0.18}, {0.46, 0.28}),
(x3,{0.40, 0.21, 0.06}, {0.52, 0.37}), (x4, {0.42, 0.30, 0.25}, {0.58, 0.28})},

(F X G)(ez) ={(x1, {0.48,0.24,0.12}, {0.44, 0.19}), (x2, {0.49, 0.30, 0.20}, {0.51, 0.36}),
(x3,{0.45,0.16, 0.12}, {0.44, 0.19}), (x4, {0.32, 0.14, 0.05}, {0.60, 0.46})},

(F X G)(e3) ={{x1, {0.42,0.12, 0.09}, {0.76, 0.46}), (x2, {0.32, 0.18, 0.15}, {0.68, 0.55}),
(x3, {0.45,0.32, 0.24}, {0.55, 0.46}), (x4, {0.42, 0.20, 0.06}, (0.4, 0.10})}.

Theorem 3 Let F and G be two dual hesitant fuzzy soft sets over U. Then the
following laws are valid:

() FBG=GHF,
(2)FRG=GKXF,
(3) (FBG) = FC K G-,
(4) (FK G)¢ = FC B G-.
Proof (1) and (2) are straightforward.
(3) According to Definitions 10 and 3, for all e € E we have

(FBG) = {(x. 970 () ® G550y @) h (1) B h ) (1)) 1 x € U}
= {(X, gﬁ(e)(x)s hﬁ(e)(-x)) X € U} X {(x, gé(e)(x)s @hé(e)(X)) X € U}
= FCR GC.

(4) The result can be proved in the similar way.
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Theorem 4 Let F, G and H be any three dual hesitant fuzzy soft sets over U. Then
the following holds:

(D(FBG)BH=FB(GBH),

(2)(FRG)XH=FX(GXH).

Proof The properties follow from Definitions 10 and 11.

5 Conclusion

In this paper, we propose the concept of dual hesitant fuzzy soft sets, and establish
some operations of dual hesitant fuzzy soft sets and then some properties can be
further investigated for such operations on dual hesitant fuzzy soft sets. In the future,
we further investigate relationships between dual hesitant fuzzy soft sets and other
mathematical structures, such as lattice structures and topological structures.
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Three-Valued Random Fuzzy Sets

Bin Yu and Xue-Hai Yuan

Abstract The theory of fuzzy sets was founded by Zadeh as an approach to cope
with the pressing need to deal with phenomena which cannot be modelled properly
by conventional mathematics because they contain factors which are fuzzy in nature.
However, in this frame of the theory of fuzzy sets, we cannot discern two conflicting
fuzzy conceptions properly, and therefore, the excluded middle law is violated. In
this theory, one does not differ fuzzy sets from their membership functions. That
is, a fuzzy set in the sense of Zadeh is equivalent to its membership function. This
may be the main reason why the excluded middle law was violated. In this paper,
we use the concept of three-valued fuzzy sets to provide a mathematical frame of
fuzzy sets theory, such that it can eliminate the suspicion for the objective reality of
membership functions of fuzzy sets. In our frame, fuzzy sets and their membership
functions are not equivalent conceptions.

Keywords Three-valued random fuzzy set -+ Random set - Fuzzy set - Random
variable

1 Introduction

Zadeh [1] introduced the theory of fuzzy sets was first in 1965 as an approach to
deal with the phenomena which cannot be modelled properly by conventional math-
ematics because they are fuzzy in nature. Now the theory of fuzzy sets has become
a powerful application tool in many area such as economy, psychology, sociology,
linguistics, management science, systems science, control theory, knowledge engi-
neering, picture processing, pattern recognition, etc. However the controversies over
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the mathematical theory of fuzzy sets is far from an end, especially for the objective
reality of membership functions of fuzzy sets. In the application of the fuzzy sets,
to give a proper, objective membership function of a fuzzy set is very important; it
will directly affect the correction of the results we get from the mathematical model
based on fuzzy sets theory. But by far, we do not have a commonly accepted method
of deciding this kind of function. Can we reframe the theory of fuzzy sets theory
such that it can not only eliminate the suspicion for the objective reality of mem-
bership functions of fuzzy sets? In the past twenty years, one has got many valuable
results in this aspect. In this paper, we will continue study this problem based on the
work of others [2—8]. Especially, Yuan’s work [9] provide a way to continue study
this problem. That is our primary motive to introduce the concept of three-valued
random fuzzy set.

2 Three-Valued Random Fuzzy Sets

In this paper, (£2, A, P) denotes a probability space, and £ a random variable on

(rv.) £2. Set Z ({0, 1/2, 1}) = {£]€ is r.v. with distribution: o121 }. Then
pP\p1|P2|P3

the following properties are evident.
Proposition 1

(1)0,1/2,1 € £({0,1/2, 1}).

(2) For arbitrary £, m € E ({0, 1/2, 1}), we have

Evn and Enne E({0,1/2,1)}).
(3) For arbitrary & € £({0,1/2,1}),i =1,2,...,
o0

& and N\ & e 5(0,1/2,1)),

i=1

<

—_

l
lim, . & and limy, & € 5({0,1/2,1}).

Let
FaolX)={AlA: X - 5({0,1/2,1]}.

For A, B € F' o(X), we define
(A JB)x) =4 \/ Bw),
(A B)x) = A A\ B,

AC(x) = 1 — A(x).
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It is easy to see that A (| B, A(\ B, A° € F'o(X). They are called the union and
the intersection of A and B, and the complement of A, respectively.

Now we introduce a relation ‘~’ in F' o(X): for any element A, B in F' o (X),
we put ‘A ~ B’ whenever P{A(x) = B(x)} = 1 for every x in X. For every A in
F o (X), we denote by A the equivalence class containing A:

A={AA € Flo(X), A ~ A}
Put
Fo(X) ={A]A € Fo(X)}.

Propositign 2~Let A , B e Fo(X).
(1)If A = B, then

E(A(x)) = E(B(x)), (Vx € X),
ie. P{A(x) = 1} + 1/2P{A(x) = 1/2} = P{B(x) = 1} + 1/2P{B(x) = 1/2}.

(2) If for every x € X, P{A(x) < B(x)} = 1, then forany A' € A, B’ € B we
have

P{A'(x) < B'(x)} =1, (Vx € X).
(3) Forany A’ € A,B € B,
A'lJB ~als.
A'(\B ~A()B.
Generally, we have

00 [}
U4, ~ U an
n=1 n=1

o0 o
V45~ () A
n=1 n=1

. ’ .
lim, A, ~lim, Ay,

limn—woA;l ~limpo0An,

whenever A), ~ Ap,n=1,2,....
(4) Forany A’ € A,1 — A" ~1— A.
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Definition 1 For every A € F'o(X), A is called a three-valued random fuzzy set
of X with probability space (£2, A, P). Let

pi(x) = E(A(x)) = P{A(x) = 1} + 1/2P{A(x) = 1/2}.

(3 (x) is called the membership function of three-valued random fuzzy set A.

Definition 2 Let A, B € Fo(X),_ o
(1) A is said to be included in B, denoted by A C B if Vx € X, we have

P{A(x) < B(x)} = 1.

2) A is said to be equal to E, denoted by A=B , if both AC Band B C A are
satisfied.

Definition 3 Let A , B e Fo(X), we define that
AUB=aUs,
ANE=aN5

AC=1-A.

Zhey are called the union and the intersection of A and E, and the complement of
A, respectively.

With Proposition 2, we know that all these definitions are well defined.

A three-valued random fuzzy set is also a generalization of a classical set. Let
A€ Fo(X), such that Vx € X, P{A(x) = 1} = 1 or P{A(x) = 0} = 1, then
the relation between x and the three-valued random fuzzy set A is determined. Thus
A represents a conventional set. On the other hand, the characteristic function of a
classical set can also be regarded as a mapping from X to = ({0, 1/2, 1}), and thus
corresponds to an element in F (X). Set

Po(X) ={A € Fo(X)|Vx € X,
either

P{A(x) =1} =1 or P{A(x)=0}=1]}.

It is obvious that (P (X), U, N, ¢) is a subalgebra of (Fo(X), U, N, c). Let P(X)
denote the collection of all conventional set of X, then we have the following propo-
sition.
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Proposition 3 The mapping
T :Po(X) = P(X),
A {[x|P{A(x) = 1} = 1},
is an isomorphic map from (Po(X), U, N, c) to (P(X), U, N, c).
Proof We need only to show that
A=B iff {x|P{A(x)=1}=1}={x|P{B(x)=1}=1}.
With Proposition 2, we know that
{x|P{A(x) =1} = 1} = {x| P{B(x) = 1} = 1},
when A = B. On the other hand, if
{x|P{A(x) = 1} = 1} = {x[P{B(x) = 1} = 1},
since Z, B e Po(X), for any x € X, we have
P{A(x)=0}=1, or P{Ax)=1/2} =1, or P{A(x)=1}=1,
and
P{B(x)=0}=1, or P{B(x)=1/2}=1, or P{B(x)=1}=1.
Thus if x € {x|P{A(x) = 1} = 1} = {x|P{B(x) = 1} = 1}, then

P{A(x) =1, B(x) = 0} + P{A(x) = 1, B(x) = 1/2} + P{A(x) = 0, B(x) = 1}
+ P{A(x) = 0, B(x) = 1/2} + P{A(x) = 1/2, B(x) = 0} + P{A(x) = 1/2, B(x) = 1} = 0,

and hence,

P{A(x) = B(x)}
= P{A(x) = 1, B(x) = 1} + P{A(x) = 1/2, B(x) = 1/2} + P{A(x) = 0, B(x) = 0}
= P{A(x) = 1, B(x) = 1} + P{A(x) = 1/2, B(x) = 1/2} + P{A(x) = 0, B(x) = 0}
+ P{A(x) =1, B(x) =0} + P{A(x) = 1, B(x) = 1/2} + P{A(x) =0, B(x) = 1}
+ P{A(x) =0, B(x) = 1/2} + P{A(x) = 1/2, B(x) = 0}
+P{Ax) =1/2,B(x) =1} =1
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If x€{x|P{A(x) = 1} = 1} = {x|P{B(x) = 1} = 1}, then P{A(x) = 1}

=0, P{B(x) = 1} = 0, and thus

1= P{A(x) = 1, B(x) = 1} + P{A(x) = 1/2, B(x) = 1/2} + P{A(x) = 0, B(x) = 0}
+ P{A(x) =1, B(x) = 0} + P{A(x) = |, B(x) = 1/2} + P{A(x) =0, B(x) = 1}
+ P{A(x) =0, B(x) = 1/2} + P{A(x) = 1/2, B(x) = 0} + P{A(x) = 1/2,

B(x) = 1} = P{A(x) = B(x)}.

Because of this conclusion, we will not differ A and the set {x|P{A(x) = 1} = 1}
when A € Po(X). Especially, if for all x € X, P{A(x) = 1} = 1, we have A= X,

if forallx € X, P{A(x) =0} =1, we have A = {J.

Proposition 4 Let A,B,C € Fo (X). Then
(1) Idempotent law

>
-
)
Il
=

>
)
)
I
)

(2) Commutative law

)
C
o)
Il
o
C
=

)
D
<)
Il
o
D
0

(3) Associative law
(AUB)UC=AU(BUOQ),
(ANB)NC=ANBNCO).
(4) Absorption law
(AUB)NA = A4,
(ANB)UA = A.
(5) Distributive law
(AUB)NC=(ANC)U(BNC),

(ANB)UC =(AUC)N(BUC).
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(6) Identity law
AUX=X,ANX=A
AUG=AAND=0
(7) Involution law
A = A,

(8) Dualization law o L
(AU B)° = A°N B¢,

(AN B)¢ = A° U BC.

3 The Properties of | J, ), ¢

Let x be a fixed element of X. Set
f(A) = pz(x).
Proposition 5 Let A, Be Fo(X). Then
[(AUB) = fr(A) + [x(B) — fx(AN B).

Proof fx(AUB)=puz,5(x) =E(AUB(x))
= P{(AUB)(x) = 1} + 1/2P{(AU B)(x) = 1/2)
=P{A(x)=1lor B(x) =1} +1/2P{A(x) = 1/20or B(x) = 1/2}
=P{Ax)=1}+ P{B(x) =1} — P{A(x) =1, B(x) = 1}
+ 1/2P{A(x) =1/2} +1/2P{B(x) = 1/2} = 1/2P{(AN B)(x) = 1/2}
[P{AGx) = 1} + 1/2P{A(x) = 1/2)] + [P(B(x) = 1} + 1/2P(B(x)
1721 = [P{(A N B)(x) = 1} + 1/2P{(A N B)(x) = 1/2}]
= pz(x) + pzx) — ping)

= f2(A) + fu(B) — fr(AN B).

Proposition 6 o
(1) Let A, B € Fo(X), and A C B. Then

fe(A) < fo(B).
(2) For arbitrary A, B e Fo(X),

fx(AUB) > fi(A)V fi(B).
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fe(AN B) > f(A) A fe(B).
(3) For any Ac Fo(X),
Fe(A) =1 = fe(A).
(4) For;\; eFoX),n=1,2,...,and {2\;} is monotone, then
lim fo(Ay) = fof lim A,}.
n—oo n— oo
Proof

(1) Since ACBis equivalent to P{A(x) < B(x)} = 1, thus with Proposition 1,
we have

fe(A) < f(B).
(2) Follows from (1) directly.
(3) Obvious. .
(4) Given that {A,} is monotone increasing. Thus we have
P{A,(x) <Ay} =1,n=1,2,...,

Set E, = {A,(x) > Ap11(x)}, then P(E,) = 0,n = 1,2, .... Denoted by £2’ the
set 2\ U | E,, then

n=1
(Ai) =11NR Cc{Ax)=11nR" C...
and
{Aj(x) =1/2)N 2 Cc{Ax(x)=1/2}nR" C....
Hence, with the property of probability measure P,
P{lim {A,(x) = 1} N2’} = lim P{A,(x) =1}N 2"},
n—00 n—00
and
P{lim {A,(x) = 1/2} N2} = lim P{{A,(x) =1/2} N 2'}.
n—00 n—00
Noting that P(US2 | E,;) = 0, we obtain that

P{lim A,(x) =1} = lim P{A,(x) = 1},
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and
P{lim A,(x) =1/2} = lim P{A,(x) =1/2},
n—oo n—o0
SO
P{lim A,(x) =1} 4+ 1/2P{lim A,(x) =1/2}
n—>0oo n—>oo
= lim P{A,(x) =1}+1/2 lim P{A,(x) = 1/2}.
n—oo n—oo
and thus,

lim f,(A,) = f; lim (A4,).
n—oo n—oo

For the case when A, is monotone decreasing, we can show in the same way. For a
fixed x in X, let

F(A, B) = pzug (),
G(A, B) = pznz(x),
Ce(A) = pe (x).
Proposition 7
(1) As a mapping from Fo(X) x Fo(X) to [0, 1], Fx, Gy have the following
properties:
(1) both of Fy and G are nondecreasing,
(2) Fy (A B) Fy (B A) Gy (A, B) Gy (B, A),
(3) F(A, A) = G+(B, B) = f«(A),
(4) F(A, B) = fi(A)V fr(B), Gi(A, B) < fi(A) A fi(B),
(5) F(X, X) = 1, G (4. ) = 0, _
(6)for A, € Fo(X),n=1,2,..., and {A,} is monotone, then
lim Fy(A,, B) = Fi(lim A,, B),
n— o0 n— oo
lim F. (B, A,) = Fy(B, lim A,),
n—o00 n—0oo
lim G.(A,, B) = G,(lim A,, B),
n—o0 n— oo

lim G.(B, A,) = G.(B, lim A,).
n—o00 n—oo
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(2) The mapping Cy : Fo(X) — [0, 1] has the following properties:
(1) Cx(X) =0,Cr (V) = L.

(2) Cy is nonincreasing. ~

(3) For A, € Fo(X),n=1,2..., and {A,} is monotone, then

lim Cy(A,) = Cx(lim A,).
n—oo n—o0

4 (F[O,l](X)y U9 n’ C) and (-’F(X)y Us n’ C)

In this section, we will let 7 (X) denote the collection of all fuzzy sets in X defined
by Zadeh, and Fjo,1;(X) the collection of all three-valued random Fuzzy Sets in X
with probability space ([0, 1], By, P), where By is composed of all Borel set in [0, 1]
and measure P is the Lebesgue measure on [0, 1].

In this part of the paper, we will examine the relations between three-valued
random fuzzy sets in X with probability space ([0, 1], By, P). As we can see, the
fuzzy sets defined by Zadeh can also be regarded as the equivalent class of Fo, 17(X),
but it is a coarse classification. The operations for three-valued random fuzzy sets
and those in the sense given by Zadeh are also different, they coincide only in some
special cases.

Let
Eo={£:10,1] = {0, 1/2, 1}|€ is measurable}.

Definition 5 ¢ € & is called nonincreasing if Ywy, wy € [0, 1], w; < wy, then

Ewr) = &(wo).

& € By is called almost certain nonincreasing if there exists a set E C [0, 1] such
that P(E) = 0, and £ is nonincreasing on [0, 1]\ E.

It is easy to see, if £ is nonincreasing, and P{{ = n} = 1, then 7 is almost certain
nonincreasing. The collection of all almost certain nonincreasing r.v. in & is denoted
by &.

Lemma 1 Given that £ € &y is nonincreasing, let « = sup{¢ = 1}, § = inf{{ =

0}, then
o[ =0,
ane=0={ 17 €5 0
_ o [10.0). €@ =0,
(2){5‘”‘[[0,@ f@) =1

A =1/2} = (a. B).
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Proof 2) If § < «, then inf{{ = 0} < sup{¢ = 1}, it is a contradiction to the
condition that £ € E is nonincreasing. So 3 > a.

B =inf{{ =0}, s0{ =0} C[B,1]; for B € [0, 1], if v > B = inf{{ = 0},
then there exists ay’ € [0, 11,7 < v, and £(v) = 0.

Since £ is nonincreasing, £(v) = 0. Thus [, 1) C {£ = 0}. Therefore (2) is true.
In the sequel of the paper, we will use (a, b) to denote an interval with ends a, b,
when we are not sure whether @ and b are included in the interval.

Definition 6 A Flo.11(X) is said to be a three-valued random* fuzzy set if Vx €
X, A(x) € Ef.

The collection of all three-valued random* fuzzy sets are denoted by F*(X). In
the first section of this paper, we introduce an equivalence relation ‘~” in F(X),
where we see that A ~ B is not equivalent to u; = . However, for three-valued
random* fuzzy sets we have the following proposition.

Proposition 8 Let A, B be three-valued random *-fuzzy sets. Then
A=B, iff pz(x)=pz@), (Vx € X).

Proof With Proposition 1 we need only to show that A x) = B (x) is sufficient for
A =B.

To show A = E, it suffices to show Vx € X, P{A(x) = B(x)} = 1. Without loss
of generality we assume that all the values taken by A and B are nonincreasing.

For A(x), let « = sup{{ = 1}, § = inf{¢ = 0}.

For B(x), let o/ = sup{¢’ = 1}, #/ = inf{¢' = 0}.

By Lemma 1,

e =00 = G 1 A <1
=01 = [ 1 A2
=1 = {5 o A 20
e == % e =

{A(x) =1/2} = (a, B),
{B(x) =1/2} = (o, B).
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Therefore,

P{A(x) = B(x)} = P{A(x) = 1, B(x) = 1} + P{A(x) = 0, B(x) = 0} + P{A(x) = 1/2, B(x) = 1/2}
= P{l0,a A B)} + Pl v 3), 1} + Pllana’, B A B)

=@AP)+A - VvE)+I(BALB)—=(ard)].

When pz(x) = pg(x), let a < 3, we have
a=d, =0
So,
PAx)=Bx)}=arnf+1—(aVvpB)+LB—a=1.
Proposition 9 Let A, B be three-valued random *-fuzzy sets. Then
ACB.iff pzx) < pzx), (Vx € X).

Proof Let o = sup{{ = 1}, B = inf{£ = 0}.

By Proposition 1, we need only to show that P{A(x) < B(x)} =l forallx € X
when 17 < pp.

Without loss of generality, we assume that all the values taken by A and B are
nonincreasing. Then
{A(x) < B(x)} = [0, 1N{A(x) > B(x)}

=0, IN{A) =1, B(x) =0}, {A(x) = 1, B(x) = 1/2}, {A(x) = 1/2, B(x) = 0}].

But p3(x) < pg(x), we have

SO

and thus
P{A(x)=1,B(x) =0} =[0,0) N [B, 1] =0;
P{A(x)=1,B(x)=1/2}=[0,a0) N[/, B/ >=0;

P{A(x) = 1/2, B(x) = 0} = [a, /) N[F, 11 = 0.
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This shows
P{A(x) < B(x)} = 1.
Proposition 10 Let A, B be three-valued random *-fuzzy sets. Then
piuE () = pi(x) vV pg(x),
ping () = pg(x) A pg(x).
Proof Let o = sup{{ = 1}, B = inf{£ = 0}.
piug(x) = E(AU B)(x))
= P{(AUB)(x) =1}+1/2P{(AUB)(x) = 1/2}
= P{[0, ) U[0, )} + 1/2P{[e, B) U [, )}
= (ava)+[1/2(8 = a) v 1/2(6" = )]

=[la+1/2(6-m)] V[ +1/2(6" - )]
= E(A(x)) vV E(B(x)) = pi(x) V pg(x).

In the same way, we can show p7~5(x) = pz(x) A pg(x).

Theorem 1 The mapping
A FNX) — F(X),
A A(A),
Paa(x) = pg(x)

is an isomorphic map from (F*(X), U, N) to (F(X), U, N).

Proof

(1) A is injective. Let A, B € F* (X), and A =+~ B. By Proposition 8, A(Z) #*
A(B).

(2) A is surjective. Let a = sup{¢ = 1}, 8 = inf{¢ = 0}. For arbitrary F €
F(X),let fy (o) = xF, (x), where F, denotes the o — cut of fuzzy set F'. Then f ()
as a function from [0, 1] to {0, 1/2, 1} is measurable because {f, = 1} = [0, «],
{fx =1/2} = {a, B), { fx =0} = [B, 1]. Furthermore, Vo', o € [0, 1], &’ < ",

fo(@) =xF,(x) = xF,(x) = fi(@").
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Thus F is nonincreasing. Let A be a three-valued random*-fuzzy set, such that
A(x)(a) = xF,(x); then

AA)(x) = pzx) = E(A(x))
= P{A(x) = 1} + 1)2P{A(x) = 1/2}

= P{[0, o]} + 1/2P{{c, B)} = pr (x).

That is A(A)

(3) For A, B € F*(X), with Proposition 8, we have
A(AU B) = A(A) U A(B),
A(AN B) = A(A) N A(B).

To sum up, we know A is an isomorphic mapping.
Note that for { € Zj, 1 — ¢ will not belong to &, Z; is not closed for the
complement of three-valued random-fuzzy set. In order to see the difference between

(F*(X),U,N, c*) and (F(X), U, N, ¢), we give following definition.

Definition 7 Let { € 5 and set €7 () = 1 —&(1 — a). Then it is evident that £
is almost certain nonincreasing when £¢* is. We call £ the ¢*—complement of &.

Definition 8 Let A € F*(X) and set A = A, where A" is defined by
(A)(x) = A(x)C. _
We call A€ (x) the c*—complement of A.

Proposition 11 For every Ac Fo,11(X),
pie(x) = pgex(x) =1 — pzx).

Proof Without loss of generality we assume that Vx € X, A(x) is nonincreasing.
Let o = sup{ = 1}, 8 = inf{¢ = 0}.
pe (1) = E(A7 (x)

= P{AT (x) = 1} + 1/2P{A° (x) = 1/2}
= P{l —a]A(x)(a) =0} + 1/2P{a]l — A(x)(1 — o) = 1/2}
= P{l —a]A(x)(a) =0} + 1/2P{1 — a]A(x)(1 — o) = 1/2}
= P{(B, 11} + 1/2P{{a, B)}
=1-04+120-a)=1—-12(a+P)
=100, 0]+ 1/2(a, B} _
=1—-[P{A(x) =1} + 1/2P{A(x) = 1/2}]
=1-pzx).

Theorem 1 and Proposition 11 give the following Theorem.
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Theorem 2 The mapping
A FNX) — F(X),

A A(A),
Poach(x) = pg(x)

is an isomorphic map from F*(X), U, N, c¢*) to (F(X), U, N, c).

The above results indicate that the fuzzy sets in the sense of Zadeh correspond
to the coarse classification of the element of F'[o 17(X), where we do not differ A
from B whenever E(A(x)) = E(B(x)). To see this more clearly, we introduce an
equivalence relation ~' in Fo,17(X).

For A, B € Fio,11(X), we put A ~" B if E(A(x)) = E(B(x)). Let

A ={B|B ~ A},
F*o(X) = {AlA € Fio.11(X)},

and let £, be the element of Z, such that V3 € [0, 1].
Let a = sup{¢ = 1}, 8 = inf{£ = 0}

I, v < a,
Sas(MN =11/2, a <y =0,
0, v > p.

Foreach A € F*o(X), let
Aa(x) =EEAM)), (x € X).

Definition 9 For A, B € F*(X), we define

Theorem 3 (F;(X), U, N, ¢) is isomorphic to (F(X), U, N, ¢).
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Proof Let

G : Fy(X) - F(X),
A G(A),

Hoiy () = E(AW)).

It is evident that G is an isomorphic mapping from (.7-'5‘ (X),U,N,c) to (F(X),
U, N, c).

Acknowledgments We thank the referee for several suggestions that improved the article.
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Improved Interval-Valued Intuitionistic
Fuzzy Entropy and Its Applications

in Multi-attribute Decision

Making Problems

Xiang-jun Xie and Xiao-xia Lv

Abstract According to the defect of not fully reflecting the uncertainty, the improved
definition and formula, which consider both aspects of uncertainty (fuzziness and lack
of knowledge), of entropy for interval-valued intuitionistic fuzzy sets are proposed.
The proposed entropy is used to solve multi-attribute decision making problems. Two
numerical example verifies the appropriateness and effectiveness of the improved
entropy for solving multi-attribute decision making problems.

Keywords Interval-valued intuitionistic fuzzy sets - Interval-valued intuitionistic
fuzzy entropy - Uncertainty + Hamming distance - Multi-attribute decision making

1 Introduction

In order to describe the uncertainty and fuzziness better, professor Zadeh [1] pro-
posed the theory of fuzzy sets (FSs) in 1965. In 1986, Antanassov [2] proposed
the concept of intuitionistic fuzzy sets (IFSs). An IFS, which is a generalization of
fuzzy sets, takes into account the neutral state ‘neither this nor that’ and provides a
more precise description of problems’ vagueness through two indexes-the degree of
non-membership and membership. In practical decision making problems, decision
makers often quantify the amount of decision information by interval numbers instead
of crisp numbers for just being able to provide the approximate range of the degree
of membership and non-membership. In other words, the degree of membership and
non-membership are usually expressed by interval numbers. Therefore, based on
the IFSs, Atanassov and Gargov [3] further proposed the concept of interval-valued
intuitionistic fuzzy sets (IVIFSs). Recent years, many scholars have being studying
the IFSs and IVIFSs, the entropy is a hotspot of the research field.

X. Xie - X. Lv (X)

School of Sciences, Southwest Petroleum University, Chengdu 610500,
People’s Republic of China

e-mail: Lvye_1988@126.com

© Springer International Publishing Switzerland 2016 201
B.-Y. Cao et al. (eds.), Fuzzy Systems & Operations Research

and Management, Advances in Intelligent Systems and Computing 367,

DOI 10.1007/978-3-319-19105-8_19



202 X. Xie and X. Lv

The concept of entropy, which is originated in the Thermodynamics, was intro-
duced into information theory by Shannon to measure the uncertainty of information.
In 1965, the entropy was first used to measure the fuzziness of a fuzzy set by Zadeh
[1]. Later, Burillo and Bustince [4] defined the entropy for intuitionistic fuzzy sets
to measure the degree of hesitation in 1966. In 2001, Szmidt and Kacprzyk gave
the definition of a new non-probabilistic intuitionistic fuzzy entropy based on the
geometric interpretation for intuitionistic fuzzy sets. About entropy on IVIFSs, Guo
[5] and Liu [6] presented the axiomatic definition of interval-valued intuitionistic
fuzzy entropy. Wang and Wei [7] extended the formula of entropy for IFSs and pro-
posed a new formula for inteval-valued intuitionistic fuzzy entropy based on the
Guo’s axiomatic definition. Gao and Wei [8] defined a new formula based on the
improved Hamming distance for IVIFSs. However, the definition in paper [5] has
some defects. The constraint for the maximum values of entropy consider only one
aspect of uncertainty-fuzziness and neglect the other aspect of uncertainty-lack of
knowledge.

By analyzing the papers about intuitionistic fuzzy entropy, we point out that
the two aspects of uncertainty should both be taken into account to measure the
knowledge of an IFS adequately. As an extension of IFSs, IVIFSs also include both
fuzziness and lack of knowledge. So this paper improved the axiomatic definition
of entropy for IVIFSs and proposed a new formula, which can reflect the amount
of information better. Two applications are illustrated to verify the rationality of the
proposed views in the end.

2 Preliminaries

Definition 1 [2] Let X be a finite and non-empty universe of discourse. An intu-
itionistic fuzzy set A is given by:

A={(x,ua(x),va(x))|x € X},
where u 4 (x) € [0, 1] denotes the degree of membership of x to A, v4 (x) € [0, 1]
denotes the degree of non-membership of x to A. For every x to A, it satisfies the
following condition:

0<ug(x)+valx) <l

Foragivenx € X, w4 (x) = 1 —ug (x) — va (x) is called the intuitionistic fuzzy
index or the hesitation margin.
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Definition 2 [3] Let X be a finite and non-empty universe of discourse. An interval-
valued intuitionistic fuzzy set A is given by:

~

A={tuam.vam)lxex
= {(x, [uy ), ulf O], [vi @) v @] 1x e X}

where u, (x) € [0,1],u} (x) € [0,1],v, (x) € [0,1],v} (x) e [0,1].
[u; (x), uj; (x)] and [vZ x), vj{ (x)] denote the degree of membership and non-
membership of x to A, with the condition:

wh () +vi () <1,

Foragivenx € X, J;A x) = [l — uj; (x) — vj{ x), l—u, x)—vy (x)] is called
the interval-valued intuitionistic fuzzy index or the hesitation margin.

Definition 3 [3]Let A, B € IVIFS (X), A = {(x, [u; (x),ut 0], [v; ), v}

@ lxeX}, B = {{x,[ug &), uf )], [vg @®),vE @] Ix € X}. The fol-
lowing basic operations can be defined:

wy (¥) < up () u) (¥) < up(x)

vy () S v (), v () S vp ()

(2) A= Bifandonlyif A C B, A D B:

(3) AC = {(x, [vy ). v O], [uy ) uf O] Ix e X}

(1) A C B if and only if

Definition 4 [8] For two IVIFSs A = {i, [uy ()L ul 6] vy @) vk (e])
lxi € X}and B = {(x;, [up (xi), u} (x)], [vp (), v (x)]) |xi € X}, the Ham-
ming distance measure and the weighted Hamming distance measure between A and

B are defined as follows:

d (A B) = & X0, [Juz () — ug G| + |k ) — iy @)
+ vy () = v )| [vE () = v ()| QY
|y ) =g )|+ |y () — g ()]

d(a, §)W = 3w [fug () — g G|+ Juf ) — up (0]
+ vy ) = v G| v ) = v ()] @
g ) — g )|+ |7h () — g (]
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3 Improved Axiomatic Definition and Formula
of the Entropy for Interval-Valued
Intuitionistic Fuzzy Sets

3.1 The Necessity of Improving the Axiomatic Definition
and Formula of Interval-Valued Intuitionistic
Fuzzy Entropy

Definition 5 [5, 6] VZ € IVIFS (X), the mapping E : IVIFS (X) — [0, 1] is
called as entropy if E satisfies the following conditions:

Condition 1: E (;1) = 0 if and only if Z is a crisp set;
Condition 2: E (:\) = 1 if and only if [V/_x (x;), v:: (x,-)] = [“X (x;), ujg (x;)]
for every x; € X;

Condition 3: E (Z) —E (AC) for every A € IVIFS (X);

Condition 4: Forany B € IVIFS (X),if A € B whenuy (x;) <vj (x,) . u}; (x;)
< v}f (x;) forevery x; € X,or A 2 B when uy (x;) > vy (x;), ug (x;) = v‘g (xi)
for every x; € X, then E (Z) <FE (E)

Based on the Definition 5, paper [7] and paper [8] gave the concrete formulas of
entropy respectively:

e (Z)— IZ" min {uy (xi), vy ()} +min {u} (), v )} + 7, () + 78 ()
! i=1 max {u; (xi), vy (xi)} + max {MX (Xi),VX (Xi)} + 7, (xi) +7TX (xi)
L g i) — vy )| = [ () = v )| + 7050 (i) + 4 (xi)
n A=l 2 4 fuy () — vy ()| =+ [uf () — v )| + 7 () + ) ()

el
max[d(A,P),d(A, Q)]

where P = {{x;,[1,1],[0,0]) |x; € X} and é = {(xi, [0,0].[1, 1]) xi € X},
d (Z, I:) and d (;\, Q) are calculated by formula (1).

Moreover, different definitions, which are equal to Definition 5 in essence, are
proposed by Zhang [9], Szmidt [10] and Ye [11]. They also define the formulas of
entropy for IVIFSs, the entropy formula in [11] is an extension of the intuitionistic
fuzzy entropy formula based on the trigonometric function proposed in [12].
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Fuzzy entropy measures the fuzziness of a fuzzy set, but researchers have differ-
ences in the definitions of the intuitionistic fuzzy entropy. Burrillo and Bustince [4]
defined the intuitionistic fuzzy entropy as a measure of the degree of the hesitation,
namely the entropy measures how far the intuitionistic fuzzy sets from the fuzzy
sets. We called it B-B axiom for short. The constraint of the maximum value is:
ug (x;) = va(xj) = 0 (i.e. ma (x;) = 0); Szmidt and Kacprzykv [9] defined the
entropy on intuitionistic fuzzy sets to measure how far the intuitionistic fuzzy sets
from the crisp sets and it (S-K axiom for short) was a measure of the fuzziness. The
intuitionistic fuzzy entropy is maximum if and only if u4 (x;) = v4 (x;). Pal and
Bustince [13] point out that the uncertainty of a intuitionistic fuzzy set includes fuzzi-
ness and lack of knowledge. In order to quantify the uncertainty of an IFS better, they
propose the concept of two-tuple entropy, which is a pair (E;, Er) consisted of E;
based on B-B axiom and Er based on S-K axiom; Szmidt and Kacprzyk [14] point
out that: the two situations, one with the maximal entropy when u4 (x;) = va (x;)
and another when u4 (x;) = v4 (x;) = 0 are equivalent from the point of view
of the entropy measure. But the two situations are completely different from the
perspective of decision making. The degree of lack of information should also be
considered when we deal with decision making problems. Then, they propose a new
index (i.e., the measure of lack of information: K (x) = 1 — 0.5 (E (x) + 7 (x)))
with not changing the axiom in paper [9], where the E (x) is the ratio-based entropy
in [9]. The greater of the K (x), the more amount of information the IFS presents.
It’s difficult to cope with the practical decision making problems using the two-tuple
entropy. Furthermore, the constraint of the minimal entropy in B-B axiom neglect
the inherent fuzziness of an IFS. Relatively speaking, the measure K (x) is a more
better choice.

Example I Let Ay = (0.3,0.3) and A; = (0.1,0.1). We can calculate that:
K1 (x) = 0.3, K> (x) = 0.1, namely the amount of information of A; is more
than A;. It’s obvious that we can not distinguish A; and A, if considering only
fuzziness.

In fact, there is a third view about the intuitionistic fuzzy entropy which considers
both fuzziness and lack of information. Lv [15] defined a measure of fuzziness (i.e.,
fa(x) =1—|ug (x) —va (x)]) and defined the new axiom formula of intuitionistic
fuzzy entropy, which satisfies the following conditions. Firstly, the entropy gets the
minimal value if and only if the IFS A is a crisp set; Secondly, the constraint of the
maximal entropy is: u4 (x;) = v4 (x;) = 0; Thirdly, the entropy increases with the
fuzziness and degree of hesitation (i.e., degree of lack of information) increasing
(which is called the monotonicity of intuitionistic fuzzy entropy).

The definitions of intuitionistic fuzzy entropy in papers [16—-19] also take two
aspects-fuzziness and degree of hesitation-into account. Although the constraints in
the four papers have some small differences, the definitions are essentially the same.
The four formulas are respectively as follows:

1 n
Ei(A)=—>" [1 74 ) — s () v (x»}, 3)
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Ey(A) = %Z:’Zl (1 —ua (x) V; x)D + 3 (x) ’ "

E3(A) = 1 Z:’Zl 1 —fua (xi) — v; ()| +ma (xl.), (5)
- ) — N2 2 (o

Es(A) = 1 Z;’:] 1 —Jua (x;) vz x)? + 73 (xl). ©

Example 2 Takethe above A1 = (0.3, 0.3) and A> = (0.1, 0.1) for example, we cal-
culate that: E; (A1) = 0.4804, E| (A) = 0.8268; E» (A1) = 0.7616, E; (A2) =
0.9055; E3 (A1) = 0.7, E3(A) = 09,E4(A1) = 0.58, E4(Az) = 0.82. The
greater the entropy, the less amount of information the intuitionistic expresses, so
the results calculated through formulas (3)—(6) are the same with the result calculated
byK, namely the intuitionistic fuzzy entropy defined in papers [15—19] can quantify
the amount of information better.

IVIFSs are extensions of IFSs, so it’s same that the entropy for IVIFSs dif-
ferentiate when [vy (x;), v} (xi)] = [uj (x;) . u (x)] and [v (xi), v ()] =
[u; (%), uX (xi)] = [0, 0] from the point of view of decision making. It just
means that the fuzziness of an IVIFS is maximal when [V/_x (x;), VX (xi)] =
[u; (x;), uX (xi)], while fuzziness and degree of lack of knowledge both come to
maximum when [vy (x;), v} (x)] = [u; (x;). u (xi)] = [0, 0]. So it will be more
reasonable to use [v (x;), v} (x))] = [u, (x;).u} (xi)] = [0. 0] as the constraint
of maximal value when we define the entropy for IVIFSs.

3.2 The Improved Axiomatic Definition and Formula
Jor Interval-Valued Intuitionistic Fuzzy Sets

Definition 6 VZ € IVIFS (X), the mapping E : IVIFS (X) — [0, 1] is called
as entropy if E satisfies the following conditions

Condition 1: E ( ) = 0if and only if A is a crisp set;

Condition 2: E (A) = 1 if and only if [v; (xi), VX (xi)] = [u; (x;), uj; (xi)] =
[0, O] for every x; € X;

~

Condition 3: E (Z) —E (AC) for every A € IVIFS (X);

Condition 4: ForanyB elVIFS (X) 1fA c BwhenuB (xi) <vp (xi), uB (xi)
< vB (x;) for every x; € X, or A ) B when uy (x;) > vg (x;), uB (x;) > vB (xi)

for every x; € X, then E (A) <FE (B)
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Theorem 1 Let X = {x1, x2, ..., X, } be auniverse. X = {(x,-, [u; xi), MX (x,-)] ,
[v; (xi), ng (x,-)]) [xi € X } the formula of the entropy is as follows:

2

L 2= |uk ) = v el = |ug @) = vy Golt + (rr 60) + (2 x0)
E (A) n Zi:l 4
(7N
Proof Condition 1:
A is a crisp set, namely
[y (i) ul )] =10,01, [vy o) v ] =11, 1]
or
[y (), uf )] =11, 11, vy () v ()] =10, 0].
Then E (;&) =0.
IfE (Z) = 0, since

24 (my 0) 4 (rF ) = 2, [ut () —vE e P + Juy ) — vy G)|F <2,

So
[y (). ()] =10,01 and |u} (x;) — v ()| = |uy (i) — vy )| =1,

namely :} is a crisp set.
Condition 2: If [v} (xi), v} (x))] = [uj (xi), u} (x))] = [0, 0], it’s obvious that
E (Z) —1L.IfE (Z) — 1, since

24 (my 0) + (rF () <4, Jut (i) —vE oo P+ Juy ) — vy G)|” =0,

So [my (xi). 74 (x)] = [L.1] and [vy (xi).vi ()] = [uy (i), uf ()] =
[0, 0].

Condition 3: For the two IVIFSs A and A€, [z} (x1). 7} (x)] = [n;C )7 (xi)],
so it’s obvious that the condition 3 is right.

Condition 4:

N sen 2l —vien | ey o vy o (e @) (g o)
E\A _EZi:I 4 (8)
— Ly 24 () (v Gr) = 1) v ) (] () —1) +u () (v ) — D) vy () () (ki) —1)
“n i=1 2
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and

ifuy (xi) < vy (x;),up (x;) <vjh (x;)and A C B forevery x; € A,

then vy (x;) = vp (%) > up (%) = uy () and vy () = vig () = ujy (x;) =
wl (x),
SO

wh () (vE ) = 1) < uf () (v ) — 1) vl () (uf () — 1) < v () (uf (i) — 1),
wy () (v () = 1) g () (v () = 1) vy () (uy () = 1) < v () (wp () = 1),

E() < (B).

As the above method, when u g (x;) > vy (xi), u;g (x;) > vg (x;) and ;} D) E for
every x; € A, we can conclude that:

£(a) < E(B).

So, the condition 4 is correct.

4 Applications in Multi-attribute Decision Making Problems

Consider a multi-attribute decision making problem with the attribute set C =
{c1,ca, ..., c,}andthe alternative set A = {ay, az, ..., ap}.LetW = {w,wy, ...,
wy} be the weight set, which is unknown, where Z?:l wi=1, w; € [0,1].
;I_J = {(xij, [uZ (xij) , uj; (x,-j)] , [VZ (xij) , VX (xij)])} means the evaluation of the
ij

ith alternative g; satisfies the jth attribute. Then the steps in dealing with the problem
is as follows:

Step 1: construct the decision matrix;
Step 2: calculate the entropy of every attribute E; = > /| e;; by using (7), where
j=12,...,m
Step 3: calculate the weight value of each attribute by using the model as follows
[16]:
E;!
wi= S o ©)
> j=1E;

Step 4: let A* = {(cj, [1, 1], [0, O]) |cj € C} be the positive ideal point. Calculate
the weighted Hamming distance d; between every alternative and the positive ideal
point;
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Table 1 Decision matrix 1

Alternative\attribute | ¢ ) c3

ai ([0.4,0.51,10.3,0.4]) | ([0.4,0.6],[0.2,0.4]) | ([0.1,0.3], [0.5,0.6])
a ([0.6,0.71,10.2,0.3]) | ([0.6,0.7],[0.2,0.3]) | ([0.4,0.7],[0.1,0.2])
as ([0.3,0.41,[0.3,0.6]) | ([0.5,0.6],[0.3,0.4]) | ([0.5,0.6],[0.1,0.3])
as ([0.7,0.81,[0.1,0.2]) | ([0.6,0.7],[0.1,0.3]) | ([0.3,0.4],[0.1,0.2])

Step 5: sort the d;,i = 1,2,...,m, get the best alternative. The smaller the d;,
which means the closer the alternative ¢; is to the positive ideal point, the better the
alternative.

Example 3 Consider a company is to invest in one of the following four projects: (1)
aj be a automaker; (2) a; be a food company; (3) az be a computer company; (4) a4
be a firearms manufacturer. Three factors should be considered: (i) ¢ risk analysis;
(ii) ¢ the development; (iii) c3 the production environment pressure analysis [8].

Step 1: the decision matrix is as follows [8] (Table 1):

Step 2: calculate entropy of each attribute by using (7): £y = 0.4525, E»
0.4650, E; = 0.5025;

Step 3: calculate the weight value of each attribute by using (9): w; = 0.3480, wp =
0.3386, w3 = 0.3134;

Step 4: from (2), we get the weighted Hamming distances: d; = 0.6114. d;
0.3813. d3 = 0.5196. d4 = 0.4092;

Step 5: the order of the distances is: d» < ds < d3 < d1,s80 a» > a4 > a3z > ay, the
second alternative is the best alternative.

The above result is equal to the one in [8]. Taking the degree of lack of knowledge
into account while calculating the weight of the attribute leads to this situation, which
further verifies the impact of the degree of lack of knowledge should not be neglected
in decision making problems.

Example 4 Consider a manufacturer selection problem. The supplier is to choose
one from three manufacturers (i.e., Alternatives a; (j = 1, 2, 3)). Five evaluating
indexes (i.e., attributes) should be considered: quality of product (c1), cost of product
(c2), time of delivery (c3), transportation cost (c4), service attitude (c5) [20].

Step 1: decision matrix is as follows [20] (Table 2):

Step 2: from (7), the entropy of each attribute: £1 = 0.4833, E> = 0.5133, E3 =
0.5400, E4 = 0.5333, E5 = 0.4800;

Step 3: from (9), we can get each weight of attributes: w; = 0.2105, wp = 0.1982,
wz = 0.1884, wy = 0.1908, ws = 0.2120;

Step 4: from (2), the weighted Hamming distance between each attribute and the
positive ideal point: di = 0.6077, d, = 0.6600,d3 = 0.5278;

Step 5: the order of the distances is: d > d; > d3, so the order of the alternatives is:
a3 > a1 > ap. The second alternative is the best, which is the same with the result
in [20l wheng =1,g =2,9 — O0and g — o0
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Table 2 Decision matrix 2

X. Xie and X. Lv

Attribute)\alternative

ai

az

as

C1

([0.4,0.5], 0.2, 0.3])

([0.3,0.4],[0.4,0.5])

([0.6,0.71, [0.1, 0.2])

€2

([0.2,0.3],[0.5,0.6])

([0.4,0.5],[0.3,0.4])

([0.3,0.4],[0.3,0.5])

3

([0.4,0.5], [0.1, 0.3])

(10.2,0.4], [0.3, 0.5])

c4

([0.2,0.4]1,10.4,0.5])

([0.4,0.51,10.2,0.3])

([0.3,0.5],10.3,0.4])

C5

([0.4,0.6],[0.1,0.2])

([0.1,0.2],[0.6,0.7])

[

[
([0.4,0.6], [0.1,0.3])

[

[

([0.4,0.5],[0.2,0.3])

5 Conclusion

By
the

analyzing the research about the intuitionistic fuzzy entropy, we explain that
uncertainty of an IFS should include both fuzziness and the degree of lack of

information. The interval-valued intuitionistic fuzzy sets are extension of the intu-
itionistic fuzzy sets, so we should neglect neither fuzziness nor lack of knowledge
when we define the measure of entropy. This paper improved the existing axiomatic
definitions and formulas for IVIFSs and the improved entropy is used to deal with
two decision making problems. The examples further demonstrate the correctness
of the new entropy and its effectiveness in tackling practical problems.
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(€, eV q)-Fuzzy Filter Theory in FI-algebras

Chun-hui Liu

Abstract The notions of (€, € V g)-fuzzy filters and (€, € Vv ¢g)-fuzzy implicative
(positive implicative, commutative, involution) filters in FI-algebras are introduced
and their properties are investigated. Equivalent characterizations of various (€, €
V q)-fuzzy filters are obtained. Relations among various (&, €V g)-fuzzy filters are
discussed and it is proved that a fuzzy set is (€, € Vv g)-fuzzy positive implicative
filter iff it is both (€, eV g)-fuzzy implicative and (€, €V g)-fuzzy commutative (or
involution) filter.

Keywords Fuzzy logic - Fl-algebra - (€, € V g)-fuzzy filter - (€, € V g)-fuzzy
implicative (positive implicative, commutative, involution) filter

1 Introduction

Non-classical logic, extension and development of classical logic, has become a
formal tool for computer science and artificial intelligence to deal with uncertainty
information. To satisfy needs of fuzzy reasoning, many kinds of fuzzy logic alge-
bras have been established. Among them, fuzzy implication algebras (in short, FI-
algebras) posed in Ref. [1] are more extensive. Precisely, MV-algebras, bounded
BCK-algebras, BL-algebras, lattice implication algebras and Ry-algebras are all FI-
algebras and implications in FI-algebras generalize implication operators in various
logic algebras. Thus, it is meaningful to deeply study properties of FI-algebras. Fuzzy
sets introduced firstly by Zadeh in Ref. [2]. At present, some types of generalized
fuzzy filters were introduced in various logical algebras by using the ideas of fuzzy
sets [3-5].

In this paper, we apply the ideas and methods of fuzzy sets to Fl-algebras. We
introduce various concepts of (&, € Vv ¢g)-fuzzy filters and discuss their properties.
Some significative results are obtained.
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2 Preliminaries

By an fuzzy implication algebra (in short, FI-algebra), we mean an algebra (X, —, 0)
such that the following conditions hold: for all x, y, z € X,

Ix—>@G—->2=y—> x—2);
B)x—=>y)>((y—>2)>@x—>2)=1
I)x —>x =1,
Ipx—->y=y—->x=1=x=y;
I5)0— x =1.

In any Fl-algebra X, The following statements are true, for all x, y, z € X,

Is)l > x=x,x—>1=1;
IN((x—=>y) =y =>y=x—>y
BYy—-20>((x—=>y)—>x—>2)=1
I)x=yeox—>y=1
T)x<y=>@EZ—>x<z—>yandy >z <x — 2);
G0 =1,1"=0,x <x",x" =x';

I)x <y=y <x,

where ] =0 — Oandx’ = x — 0.
A fuzzy set on X is a mapping f : X — [0, 1]. A fuzzy set on X with the form

_ te0,1], y=x
f(y)—{o’ Vo (D

is said to be a fuzzy point with support x and value ¢ witch is denoted by x;. For a
fuzzy point x; and a fuzzy set f we have

(1) x; is said to belong to f, written as x; € f, if and only if f(x) > ¢;

(2) x; is said to be quasi-coincident with f, written as x;q f, iff f(x) +¢ > 1;
(3) If x; € f or x:qf, then we write x; eV q f;

(4) The symbol €V ¢ means that €V g does not hold.

3 (&, €V q)-Fuzzy Filters in FI-algebras

Definition 3.1 Let X be an Fl-algebra. A fuzzy set f on X is called a (€, €V g)-
fuzzy filter in X, if it satisfies the following conditions:

(F1) (Vi € (0, 1D(Vx € X)(x; € f = 1, eV f);
(F2) (vt,r € (0, 1 (¥x, y € X)((xr € f and (x = y)r € f) = Yminfr.r} €V ).

The set of all (€, eV g)-fuzzy filters in X is denoted by FF(X).
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Theorem 3.1 The conditions (F1) and (F2) in Definition 3.1 are equivalent to the
following conditions (F3) and (F4), respectively:

(F3) (Vx € X)(f(1) = min{f(x), 0.5});
(F4) (Vx,y € X)(f(y) = min{f(x), f(x — y),0.5}).

Proof 1t is similar to the proof of Theorem 1 and Theorem 2in Ref. [5].

Remark 3.1 Let X be an Fl-algebra and f a fuzzy set on X.

(1) Theorem 3.1 shows that f € FF(X) iff f satisfies conditions (F3) and (F4).
(2) Let f € FF(X), then it is easy to see by (1) of this remark that f satisfies the
following condition:

(F5) (Vx,y € X)(x <y = f(y) =2 min{f(x),0.5}).

Theorem 3.2 Let X be an Fl-algebra and f a fuzzy set on X. Then f € FF(X) iff
f satisfies the following condition:

(F6) (¥Vx,y,z € X)(x > (y > 2) = 1 = f(z) 2 min{f(x), f(y),0.5}).

Proof Suppose f € FF(X). Let x,y,z € X such that x — (y — z) = 1. Then
x <y — z,and so we have f(y — z) 2 min{f(x), 0.5} by (F5). It follows from
(F4) that f(z) = min{f(y), f(y = z),0.5} > min{f(y), f(x), 0.5}. Conversely,
since forallx € X, x — (x - 1) = 1, we have f(1) > min{f(x), f(x), 0.5} =
min{ f(x), 0.5}, i.e., (F3) holds. By (I3) we have (x - y) — (x — y) = 1, thus
f(y) 2 min{f(x), f(x — y),0.5},i.e.,(F4)holds. So, f € FF(X) by Theorem 3.1.

4 Various (€, €V q)-Fuzzy Filters

4.1 (€, eV q)-Fuzzy Implicative Filters

Definition 4.1 Let X be an Fl-algebra. A (€, eV g)-fuzzy filter f in X is called a
(€, eV g)-fuzzy implicative filter, if it satisfies the following condition:

FH Vx,y,ze X)(f(x > 2) Zmin{f(x = (y = 2)), f(x = ¥),0.5}).
The set of all (g, €V g)-fuzzy implicative filters in X is denoted by FIF(X).

Example 4.1 Let X = {0, a, b, 1}. The operator — on X is defined in Table 1.
Then (X, —1, 0) is an Fl-algebra. Define a fuzzy set on X by f(0) = f(a) =
f(b) =0.3, f(1) = 0.8, it is easy to verify that f € FIF(X).

Table 1 Definition of —
on X

—_ g e O

o O o =|O
[N IS
T = = =T
= Y IS
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Theorem 4.1 Let X be an Fl-algebra, f € FF(X). Consider the conditions:

(F8) (Vx,y,z € X)(f(y = z) Z min{f(x), f(x > (y > (y = 2))),0.5});
(F9) Vx,y € X)(f(x = y) Z min{f(x — (x — y)),0.5});
(FI10) x,v,z€ X)(f((x > y) > (x = 2)) > min{f(x — (y — 2)), 0.5}).

Then f € FIF(X) < (F8)< (F9)< (F10).

Proof f € FIF(X) =(F8): Let f € FIF(X). Take x = y in (F7) first, then
by (F3) and (F4) we have that f(y — z) > min{f(y — (y — 2)), f(y —
¥), 0.5} = min{f(y — (y = 2)), f(1),0.5} = min{f(y — (y - 2)),0.5} >
min{ f (x), f(x = (y = (y — 2))), 0.5}. That is, (F8) holds.

(F8) = (F9): Assume f € FF(X) and f satisfies (F8). Then forall x, y € X we
can obtain by (F3) that f(x — y) > min{f(1), f(1 - (x - (x = ¥))),0.5} =
min{ f (x — (x — y)), 0.5}. So, f satisfies (F9).

(F9) = (F10): Assume (F9) holds. Since for all x, y,z € X by (I1) and (I,) we
havex - (y > 2)=y > (x> 2 <(x—>y) > —>(x—>2)=x —
((x > y) = (x = 2)). By (I), (F9) and (F5) we further have that f((x — y) —
x> 2)=flx > ((x >y —z2)2mnffx > x - (x >y —
2))), 0.5} = min{f(x - (x = y) > (x = 2))), 0.5} > min{min{f(x — (y —
7)), 0.5},0.5} = min{f(x — (y — z)), 0.5}. That is (F10) holds.

(F10)= f € FIF(X): Assume f((x = y) = (x = 2)) Z min{f(x — (y —
2)),0.5) forallx,y € X.By (x - y) > (x = 2)) = (x > y) = (x —
z)) = 1| and Theorem 3.2 we have that f(x — z) 2> min{f((x = y) — (x —
7)), f(x = ¥),0.5}. So, by (F10) we have that f(x — z) > min{f(x — (y —
2)), f(x — y), 0.5}. That is (F7) holds, thus, f € FIF(X).

4.2 (e, €V q)-Fuzzy Positive Implicative Filters

Definition 4.2 Let X be an Fl-algebra. A (€, €V g)-fuzzy filter f in X is called a
(€, eV g)-fuzzy positive implicative filter, if it satisfies the following condition:

(F11) (Vx, y,z € X)(f(y) 2 min{f (x), f(x = ((y = 2) = ¥)),0.5}).
The set of all (€, € Vv g)-fuzzy positive implicative filters in X is denoted by
FPIF(X).

Example 4.2 Let X = {0, a, b, 1}. The operator —, on X is defined in Table 2.
Then (X, —2, 0) is an Fl-algebra. Define a fuzzy seton X by f(0) = 0.3, f(a) =
f(b) = f(1) = 0.8, it is easy to verify that f € FPIF(X).

Table 2 Definition of —»
on X

—_ g e O

S O O = O
& O = =
T = = =T
= Y IS
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Theorem 4.2 Let X be an Fl-algebra, f € FF(X). Consider the conditions:

(FI2) (Vx,y € X)(f(x) = min{ f((x — y) — x),0.5});
(F13) (Vx € X)(f(x) > min{ f(x’ — x), 0.5});
(F14) (Vx,y,z € X)(f((x' = x) — x) > min{f(1), 0.5}).

Then f € FPIF(X) <(F12)<(F13)< (F14).

Proof f € FPIF(X) =(F12): Assume that f € FPIF(X). Then by using (F11)
and (F3) we have that f(x) > min{f(1), f(1 — (x — y) — x)),0.5} =
min{f(1), f((x — y) — x),0.5} = min{f((x — y) — x),0.5}. So, (F12)
holds.

(F12)= f e FPIF(X): Assume f € FF(X) and (F12) holds. Then for all
x,y,z € X, by (F4) we have that f(y) > min{f((y — z) — y),0.5} >
min{ f (x), f(x = ((y = 2) = y)), 0.5}. Thatis (F11) holds and so f € FPIF(X).

(F12)=-(F13): Putting y = 0 in (F12), one gets (F13).

(F13)=(F12): By (Ij9) we have x’ = x — 0 < x — y. By (Ijo) again we get
(x = y) > x < x’ — x.By (F13) and (F5) we further have f(x) > min{f(—x —
x), 0.5} > min{ f ((x — y) — x), 0.5}, i.e., (F12) holds.

(F14)=(F12): Assume f € FF(X) and (F14) holds. Since by (I19) we have
x—>0<x—>yad(x > y) > x <(x—>0 - x =x" - x.By(F5
we get f(x’ — x) > min{f((x — y) — x),0.5}. Thus by (F4) and (F14), we
have f(x) > min{f(—x — x), f((x' = x) — x),0.5} > min{min{f((x —
y) — x),0.5}, min{f(1),0.5},0.5} = min{f((x — y) — x), f(1),0.5} =
min{ f ((x - y) — x), 0.5}. So, (F12) holds.

(F13)=-(F14): Assume (F13) holds. Then by (I1), (Iz) and (F5) we obtain that
(X = x) — x) = f(a) 2 min{f((@ - 0) - «),0.5} = min{f((((x" —
x) = x) = 0) - (' = x) > x)),0.5} = min{f((x' - x) - (' —
x) = x) = 0) > x)),0.5} > min{f((((x" = x) => x) > 0) > x/),0.5} =
min{ f ((((x" = x) = x) = 0) = (x — 0)),0.5} > min{f(x — (' = x) —>
x)), 0.5} = min{ f((x’ = x) = (x = x)), 0.5} = min{f(1), 0.5}. So (F14) holds
and the proof is thus finished.

Theorem 4.3 Let X be an Fl-algebra. Then FPIF (X) C FIF(X).

Proof Assume f € FPIF(X).Sincez > (y > x)=y—> (z2—>x)<(z—>y) >
(z = (z = x)) by (Ig), we have by (F5) that f((z = y) — (z = (z = x))) >
min{f(z - (y = x)), 0.5}. By (F11), (I) and (I7) we have further that f(z — x) >
min{f (1), f(1 = (((z = x) = x) > (z = x))),0.5} = min{f(((z = x) =
x) = (z = x)),0.5} = min{f(z = (((z = x) = x) = x)),0.5} = min{f(z >
(z = x)),0.5} =2 min{f(z - y), f((z > y) > @ = (z > x))),05} >
min{f(z — y), min{f(z - (y = x)), 0.5}, 0.5} = min{f (z = y), f(z > (y >
x)), 0.5}, i.e., (F7) holds. Thus f € FIF(X) and thus FPIF(X) C FIF(X).

Remark 4.1 The converse of Theorem 4.3 may not be true. Consider the Fl-algebra
(X, —1,0) in Example 4.1, define a fuzzy set on X by f(0) = f(a) = f(b) =
0.4, f(1) = 0.7, it is easy to verify that f € FIF(X). But f ¢ FPIF(X), since
fl@ —a)—a)= f((0— a) —> a)= f(a) =0.4 # 0.5 =min{f(1),0.5}.
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Theorem 4.4 Let X be an Fl-algebra. Then FIF(X) C FPIF(X) if and only if the
following condition holds for all f € FIF(X):

(F15) (Vx,y € X)(f((x = y) = y) = min{f((y = x) — x),0.5}).

Proof Assume FIF(X) € FPIF(X). Then for all f € FIF(X), we have that f €
FPIF(X). Since y < (x — y) — y,we have (x > y) > y) > x <y — x.By
(Iy) and (Ip), we have further that ((x — y) => y) > x) = ((x > y) = y) >
G2 ((x=>y)=>N=@x—>y)>(y—=>x)>y=>0—>x) —>=x
Hence by (F11) and (F5) we have that f((x — y) — y) = min{f (1), f(1 —
((((x > y) = y) = x) > ((x = y) = »))),0.5} = min{f(((x - y) —
y) = x) > ((x = y) = »)),0.5} > min{min{ f((y - x) — x),0.5},0.5} =
min{ f ((y = x) — x), 0.5}, thatis f satisfies (F15).

Conversely, let f € FIF(X) and for any x, y € X, it satisfies that f((x — y) —
y) 2 min{f((y — x) — x),0.5}. It follows from (I) that (x — y) — x <
(x > y) = ((x > y) — ). Thus by (F5) and (F9), we have that f((y — x) —
x) Z min{f((x = y) = y),0.5} > min{min{f((x - y) = (& = y) =
¥)), 0.5}, 0.5} = min{f((x = y) = ((x = y) = y)), 0.5} > min{min{ f((x —
y) = x),0.5},0.5} = min{f((x - y) — x),0.5}. Since y < x — y, we
have (@ - y) - x <y — xand by (FS) f(y — x) 2 min{f((x — y) —
x), 0.5}. So, by (F4) we can obtain that f(x) > min{f(y — x), f((y — x) —
x), 0.5} 2 min{min{f((x — y) — x), 0.5}, min{f((x — y) — x),0.5},0.5} =
min{f((x — y) — x),0.5}. Hence f € FPIF(X) by (F12), and so FIF(X) C
FPIF(X).

4.3 (e, €V q)-Fuzzy Commutative Filters

Definition 4.3 Let X be an Fl-algebra. A (€, €V g)-fuzzy filter f in X is called a
(€, eV g)-fuzzy commutative filter, if it satisfies the following condition:

(F16) (Vx,y,z € X\)(f(((x — y) = y) — x) 2> min{f(2), f(z > (y =
x)), 0.5}).

The set of all (€, €V ¢g)-fuzzy commutative filters in X is denoted by FCF(X).

Example 4.3 Let X = {0, a, b, 1}. The operator —3 on X is defined in Table 3.
Then (X, —3, 0) is an Fl-algebra. Define a fuzzy set on X by f(0) = f(a) =
f(b) =0.3, f(1) = 0.8, it is easy to verify that f € FCF(X).

Table 3 Definition of —3
on X

S
- = = ==
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Theorem 4.5 Let X be an Fl-algebra, f € FF(X). Then f € FCF(X) if and only
if f satisfies the following condition:

(FI17) (Vx,y € X)(f(((x = y) = y) = x) = min{f(y — x),0.5}).

Proof Assume f € FCF(X). Thentaking z = 1in (F16) we can obtain that f (((x —
y) = y) = x) = min{f(), f(1 - (y = x)),0.5} = min{f (1), f(y —
x), 0.5} = min{ f(y — x), 0.5}. That is (F17) holds.

Conversely, assume (F17) holds, i.e., forall x,y € X, f((x — y) —> y) —
x) 2 min{f(y — x),0.5}. Then for all x, y,z € X, since f € FF(X), by (F4),
we have f(y — x) =2 min{f(2), f(z = (y — x)),0.5}. So, f(((x — y) —
y) = x) > min{ f(y — x), 0.5} > min{min{ f (z), f(z = (y — x)),0.5},0.5} =
min{ f (z), f(z — (y = x)), 0.5}, i.e., (F16) holds. Thus f € FCF(X).

Theorem 4.6 Let X be an Fl-algebra. Then FPIF(X) C FCF(X).

Proof Assume f € FPIF(X). Since x < ((x — y) — y) — x, by (I;0) we have
that ((x > y) > y) > x) > y < x — y. Lettinga = (x - y) > y) = x,
by (I1) and (I1p), we have that (¢ —> y) > ¢ = (((x = y) = y) => x) > y) —>
(k== —=>x)=2x—=>y) > (x—=>y) >y —=>x)=((x—>y —>
y)—> (x > y) > x)>y—> x.50, fla«g = y) = o) 2 min{f(y - x),0.5} by
(F5). Then by (F12) we have that f(((x — y) — y) = x) = f(a) 2 min{f((¢ —
y) = @), 0.5} > min{min{f(y — x), 0.5}, 0.5} = min{f(y — x), 0.5}, thatis, f
satisfies (F17). Thus f € FCF(X) by Theorem 4.5.

Remark 4.2 The converse of Theorem 4.6 may not be true. Consider the Fl-algebra
(X, —3,0) in Example 4.3, define a fuzzy set on X by f(0) = f(a) = f(b) =
0.4, f(1) = 0.7, it is easy to verify that f € FCF(X). But f ¢ FPIF(X), since
f() =0.4 £ 0.5 =min{f((b - a) > b),0.5}.

Theorem 4.7 Let X be an Fl-algebra. Then FPIF (X) = FIF(X) N FCF(X).

Proof By Theorems 4.3 and 4.6 we have that FPIF(X) C FIF(X) N FCF(X).

To show that FIF(X) N FCF(X) € FPIF(X), assume f € FIF(X) N FCF(X).
Then forall x,y € X, sincex < (x - y) - y,wehave (x > y) > x < (x —>
y) = ((x = y) — y) by (Iip). Thus by (F9) and (F5) we obtain that f((x —
y) = y) =z min{f((x — y) = ((x = y) = »)),0.5} > min{min{f((x —
y) = x),0.5},0.5} = min{f((x — y) — x),0.5}. Since y < x — y, we have
(x > y) > x <y — x by (I). Thus by (F17) and (F5) we obtain further that
SUx = y) = y) = x) =2 min{f(y = x),0.5} > min{min{f((x — y) —
x),0.5},0.5} = min{f((x — y) — x),0.5}. So, by (F4) we have that f(x) >
min{f((x — y) = y), f(((x = y) = y) = x),0.5} > min{min{f((x —
y) = x), 0.5}, min{f((x — y) — x),0.5},0.5} = min{f((x — y) — x),0.5}.
It follows from Theorem 4.2 that f € FPIF(X). Hence FIF(X) N FCF(X) C
FPIF(X).
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Remark 4.3 Let X be an Fl-algebra. We claim that FIF(X) SZ FCF(X) and
FCF(X) j(_ FIF(X). In fact, on the one hand, consider the Fl-algebra (X, —1, 0) in
Example 4.1, define a fuzzy set on X by f(0) = f(a) = f(b) = 0.4, f(1) = 0.6,
then f € FIF(X), but f ¢ FCF(X), since f(((b - a) - a) — b) = f(b) =
04 < 0.5 = min{f(a — b),0.5}. On the other hand, consider the FI-algebra
(X, —3,0) in Example 4.3, define a fuzzy set on X by f(0) = f(a) = f(b) =
0.4, f(1) = 0.6, then f € FCF(X), but f ¢ FIF(X), since f(b — a) = f(b) =
0.4 <05 =min{f(b - (b — a)), f(b — b),0.5}.

4.4 (€, €V q)-Fuzzy Involution Filters

Definition 4.4 Let X be an Fl-algebra. A (€, €V g)-fuzzy filter f in X is called a
(€, eV q)-fuzzy involution filter, if it satisfies the following condition:

(F18) (Yx,y € X)(f (y) = min{f (x), f((x — ¥)"),0.5}).
The set of all (g, €V g)-fuzzy involution filters in X is denoted by FINF(X).

Example 4.4 Let X = {0, a, b, 1}. The operator —4 on X is defined in Table4.
Then (X, —4, 0) is an Fl-algebra. Define a fuzzy set on X by f(0) = f(a) =
0.3, f(b) = f(1) = 0.8, it is easy to verify that f € FINF(X).

Remark 4.4 Let X be an FI-algebra. Then FF(X) C FINF(X) general does not hold.
In fact, consider the Fl-algebra (X, —1, 0) in Example 4.1, define a fuzzy set on X
by f(0) = f(a) =04, f(b) = f(1) = 0.6, then f € FF(X), but f ¢ FINF(X),
since f(a) = 0.4 < 0.5 = min{f (), f((b — a)"),0.5}.

Theorem 4.8 Let X be an Fl-algebra, f € FF(X). Then f € FINF(X) if and only
if f satisfies the following condition:

(F19) (Vx € X)(f(x) = min{f(x"), 0.5}).

Proof Assume f € FINF(X). Then for all x € L, by (F18) and (F3) we can
obtain that f(x) > min{f(1), f((1 — x)"),0.5} = min{f(1), f(x"),0.5} =
min{ f(x"), 0.5}. That is (F19) holds.

Conversely, assume (F19) holds, i.e., for all x € X, f(x) > min{f(x"), 0.5}.
Thenforallx, y € X,since f € FF(X), by (F4), wehave f(y) > min{f(x), f(x —
¥), 0.5} > min{f(x), min{f((x — y)"),0.5},0.5} = min{f(x), f((x — »)),
0.5}.1.e., (F18) holds. Thus f € FINF(X).

Table 4 Definition of —4

—>4 0 a b 1
on X

0 1 1 1 1

a b 1 1 1

b a a 1 1

1 0 a b 1
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Remark 4.5 Let X be an Fl-algebra. We claim that FINF(X) g FIF(X) and
FIF(X) g_ FINF(X). In fact, on the one hand, consider the FI-algebra (X, —4, 0) in
Example 4.4, define a fuzzy set on X by f(0) = f(a) = f(b) = 0.2, f(1) = 0.9,
then f € FINF(X), but f ¢ FIF(X), since f(a — 0) = f(b) = 0.2 <
0.5 = min{f(a — a), f(a = (@ — 0)),0.5}. On the other hand, consider
the Fl-algebra (X, —1,0) in Example 4.1, define a fuzzy set on X by f(0) =
fla) = 0.2, f(b) = f(1) = 0.9, then f € FIF(X), but f ¢ FINF(X), since
f(a) =0.2 < 0.5 =min{f(b), f((b — a)"),0.5)}.

Theorem 4.9 Let X be an Fl-algebra. Then FCF(X) C FINF(X).

Proof Assume f € FCF(X). Since 0 — (x — y) = 1, by (F17), we have that
flx = )" = = y)=f(x >y =0 =0 —> x>y =
min{ f(0 - (x — y)), 0.5} = min{f (1), 0.5}. Thus by (F4) we can obtain that
f) = min{f(x), f(x — ),0.5} > min{f(x), min{f((x — y)"), f((x —
' = (x = ¥)),0.5} 0.5 > min{f(x), min{f((x — y)"), min{f(1),0.5},
0.5},0.5} = min{f (x), f((x — "), (1), 0.5} = min{f (x), f((x = ¥)"), 0.5},
that is, f satisfies (F18). Thus f € FINF(X) by Definition 4.4.

Corollary 4.1 Let X be an Fl-algebra. Then FPIF(X) C FINF (X).

Remark 4.6 The converse of Theorem 4.9 and Corollary 4.1 may not be true. Let
X =1{0, a, b, ¢, 1}. The operator —5 on X is defined in Table 5.

Then (X, —5, 0) is an Fl-algebra. Define a fuzzy set on X by f(0) = f(a) =
f®) = 0.3, f(c) = f(1) = 0.8, it is easy to verify that f € FINF(X). But
f ¢ FCF(X), and thus f ¢ FPIF(X), since f(((b — a) = a) - b) = f((a —
a)—>b)=f(1—->>b)= f(b)=03<0.5=min{f(a - b),0.5}.

Theorem 4.10 Let X be an Fl-algebra. Then FPIF(X) = FIF(X) N FINF(X).

Proof By Theorem 4.3 and Corollary 4.1 we have that FPIF(X) <€ FIF(X) N
FINF(X). To show that FIF(X) N FINF(X) € FPIF(X), assume f € FIF(X) N
FINF(X), Then for all x € X, since x < x”, we have x’ — x < x’ — x” by
(I10). Thus by (F5) we have that f(x" — x”) > min{f(x’ — x), 0.5}, and thus
by f € FIF(X) and (F9) we have f(x”) = f(x’ — 0) > min{f(x' - (x' —
0)), 0.5} = min{f (x’ — x"), 0.5}. This together with f € FINF(X) and (F19) we
can obtain that f(x) > min{f(x”), 0.5} > min{f(x’ — x”),0.5} > min{f(x' —
x), 0.5}, i.e., f satisfies (F13). It follows from Theorem 4.2 that f € FPIF(X).
Hence FIF(X) N FINF(X) C FPIF(X).

Table 5 Definition of —5
on X

6 — — — —|o
— = = = =~

o T = = =T

-0 O » O
o O v o = O
[ N N L B




222 C. Liu

FINF(X)

FCF(X)

FPIF(X)

FIF(X)

FF(X)

Fig. 1 Relations among sets of various (€, €V g)-fuzzy filters in Fl-algebras

5 Conclusion

In this paper, we introduced the notions of (e, € V g)-fuzzy filters and (€, € Vv q)-
fuzzy implicative (resp., positive implicative, commutative, involution) filters in FI-
algebras and investigated their properties and relationships (as Fig. 1). Some signifi-
cant characterizations of the mentioned kinds of filters are obtained. Since FI-algebras
are more extensive, the results obtained in this paper can be applied to some other
logical algebras such as MV-algebras, BL-algebras, Ro-algebras, MTL-algebras and
lattice implication algebras and so on. So, it is hoped that more research topics of
Non-classical Mathematical Logic will arise with this work.
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Approach to Group Decision Making
Based on Intuitionistic Uncertain Linguistic
Aggregation Operators

Xin-Fan Wang and Jian-Qiang Wang

Abstract In this paper, we define some new additive operational laws of intuitionis-
tic uncertain linguistic numbers (IULNs). Based on these operational laws, we pro-
pose some new arithmetic aggregation operators, such as the intuitionistic uncertain
linguistic number weighted averaging (IULNWA) operator, intuitionistic uncertain
linguistic number ordered weighted averaging (IULNOWA) operator and intuitionis-
tic uncertain linguistic number hybrid aggregation (IULNHA) operator. Furthermore,
based on the IULNWA and IULNHA operators, we develop a group decision making
approach in which the criterion values take the form of IULNSs.

Keywords Group decision making - [IULNWA operator - IULNOWA operator -
IULNHA operator

1 Introduction

In many multi-criteria decision making (MCDM) situations, a realistic approach
may be to use linguistic assessments instead of precise numerical values by means
of linguistic variables, that is, variables whose values are not exact numbers but
linguistic terms. Over the last decades, the linguistic MCDM has been attracting
more and more attention [1-12].

When using linguistic variables, there exists an assumption that the membership
degree of an element to a linguistic term is 1, which cannot describe the confidence
level of the judgment of a decision-maker. Based on the concept of intuitionistic fuzzy
set [13] and its applications in MCDM field [14-21], Wang and Li [22] defined the
concept of intuitionistic linguistic number (ILN). They described the membership
degree and non-membership degree of an element to a linguistic label, which can
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reflect decision-maker’s confidence level for his/her evaluation. Many scholars have
shown their great interests in intuitionistic linguistic MCDM problems [22-28].

From the works of Refs. [22-27], it can be known that an ILN is characterized by
a linguistic term, a membership degree and a non-membership degree. Sometimes,
however, the given linguistic evaluation may not match any of the original linguis-
tic terms, and they may be located between two of them. In such case, it is more
suitable to deal with vagueness and uncertainty taking the form of uncertain lin-
guistic variables [29, 30]. Therefore, based on the ILN [22] and uncertain linguistic
variable [29, 30], Liu and Zhang [31] defined the notion of intuitionistic uncertain
linguistic number (IULN), which is characterized by a uncertain linguistic variable,
a membership degree and a non-membership degree. Some scholars have begun to
address the IULN set theory, especially the intuitionistic uncertain linguistic infor-
mation aggregation problems [31, 32]. Liu and Zhang [31] proposed some intuition-
istic uncertain linguistic aggregation operators, such as the intuitionistic uncertain
linguistic weighted arithmetic averaging (IULWAA) operator, intuitionistic uncer-
tain linguistic ordered weighted averaging (IULOWA) operator and intuitionistic
uncertain linguistic hybrid averaging (IULHA) operator, and applied them to group
decision making. Liu and Jin [32] developed some intuitionistic uncertain linguistic
geometric operators, such as the intuitionistic uncertain linguistic weighted geomet-
ric average (IULWGA) operator, intuitionistic uncertain linguistic ordered weighted
geometric (IULOWG) operator and intuitionistic uncertain linguistic hybrid geo-
metric (IULHG) operator, and proposed a group decision making method based on
these operators. However, the additive operational laws of IULNs in [31] maybe
have some shortcomings (See Example 1). To overcome the drawback, in this paper,
we shall define some new additive operational laws of IULNs, and develop some
new intuitionistic uncertain linguistic aggregation operators and apply them to group
decision making.

In order to do that, we organize this paper as follows. In Sect.2, we define some
new additive operational laws of IULNS, and present a simple formula of the degree of
possibility for the comparison between two I[ULNS. In Sect. 3, we propose some new
arithmetic aggregation operators, such as the intuitionistic uncertain linguistic num-
ber weighted averaging IULNWA) operator, intuitionistic uncertain linguistic num-
ber ordered weighted averaging (IULNOWA) operator and intuitionistic uncertain
linguistic number hybrid aggregation (IULNHA) operator. In Sect.4, based on the
IULNWA and IULNHA operators, we develop an approach to group decision mak-
ing, in which the criterion values are expressed as IULNs and the criterion weights
are known completely. Finally, conclusions of this paper are presented in Sect. 5.

2 Preliminaries

Suppose that S = {sp|60 = 0, 1, ..., 2[} is a discrete linguistic term set [33], where
[ is a positive integer, and sy has the following characteristics: (D) if a > b, then
Sq > Sp; @ the negation operator is defined: neg(s,;) = s» such that a + b = 2I. For
example, when / = 4, S can be defined as:
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S = {so, 51, 52, 53, 84, S5, S¢, 57, Sg} ={extremely poor, very poor, poor, slightly
poor, fair, slightly good, good, very good, extremely good}.

To preserve all the given information, the discrete linguistic term set S should be
extended to a continuous linguistic term set S = {sgl0 € [0, ¢q1}, in which s, > s if
a > b, and q(q > 2I) is a sufficiently large positive integer.

Definition 1 ([34]) Let s = [sg, 541, where sg, 5¢ € S, sp and s are the lower and
the upper limits, respectively. Then we call § the uncertain linguistic variable. Let §
be the set of all the uncertain linguistic variables.

Definition 2 ([22]) Let X be a universe of discourse, sg(x) € S. Then an ILN set A
in X is an object having the following form:

A= {(x, (s000), a(x), va()) Ix € X },

where s¢(y) is a linguistic term, the functions 14 (x) and v4 (x) determine the degree
of membership and the degree of non-membership of the element x to the linguistic
evaluation sq(y), respectively, and for each x € X:

0<palx)+valx) =1

Based on Definitions 1 and 2, Liu and Zhang [31] extended the ILN set, and
defined the concept of IULN set as follows.

Definition 3 ([31]) Let X be fixed, §(x) € S. Then an I[ULN set A in X is defined
as:

A={(x, {500, ni(0),vz0)) Ix € X},

which is characterized by a uncertain linguistic variable §(x), a membership function
u 5 (x) and a non-membership function v;(x) of the element x to the linguistic
evaluation §(x), and for each x € X: 0 < pu;(x) +v;(x) < 1.

For convenience, Liu and Zhang [31] called (5(x), u i(x), v7(x)) the IULN, and
denoted it as B = ([se(ﬁ),s(p(g)], Mg vﬁ), where [sg(ﬁ),s¢(5)] e S, ng € [0, 1],
Vg € [0, 1] and Kg + vg < 1. Let  be the set of all IULNS.

Definition 4 Let B1 = ([543, Sp4))- 15,0 V) and B2 = (ISp(y: S
g, V52> be two IULNs. Then

(D ﬁ1®ﬁz=< s Se B+ B |

0(B+6 ()

[0(B1)+¢ (BD)lug +O(B)+(B)Ing,
0B+o (BO+H(B)+o (B

[0B1)+6 (Blvz +HOB)+6(Bv, > .

0B+ (B)+0(B2)+9(B2)
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@ 281 =([$10 S0 |- 15y Vi -2 € 10,11

It can be easily proved that all the above results are also [IULNs. Based on Defin-
ition 4, the following relations can be further obtained.

I Ao 52 /32 69/31,

2) (BL®B2) @ By =P1 @ (B @ Ba);

3) )»(/31 69/32) = 1p 69/\,32,} € [0,1];

@) 2B ®rf1 = (M1 + 22)B1, riy A2 € [0, 1].

Example I Let B = ([ss,s5].a,b)(@ € [0,1] b € [0, 1, a+b < 1), pr =
([s2, s4], 1, 0) and B3 = ([s4, s5], 0, 1) be three IULNs, by Definition 4. We have

B1 ® B = ([s6. s9],0.4 + 0.6a, 0.6b) , (1)
B1 & B3 = ([s6. s9], 0.6a, 0.4 + 0.6b) . 2)
According to the operational laws of [ULNs in [31], we have
B ® B2 = (Is6, 501, 1,0), 3)
B & B3 = (Is6, 591, a, b) . )

Comparing the aforementioned results, it can be known that Egs. (1) and (2) may
be more easily accepted, and Eqs. (3) and (4) cannot be accepted.

In addition, from the above, we know that [sy4, s5] is closer to the sum [sg, 59]
than [s2, s4], so its confidence degree should be higher, that is, the weight of its
membership degree and non-membership degree should be bigger, thus, it is more
suitable that we Welght the membership degree and non-membership degree of f;
by 45 = & and B by ;=355 = . Thus, the additional operation laws in
Definition 4 is more reasonable than that in [31].

Based on the degree of possibility of interval numbers [35], in the following, we
define a simple formula for the comparison between any two IULN .

Definition 5 Let f1 = ([sp(g,)- 545y 1, V5, ) and B2 = ([593,): Sp(gn ] My
vﬁz> be two IULNS, and let l~ [qb(ﬂl) — 9(,31) (/,Lﬁl ~]) and 152 =[d(B) —
0(52)](u52 — Vﬁz)' Then the degree of possibility of ,31 > ,82 is defined as:

_ B (g —vz) —0(B2) (g — vz
21 = fr) = min | max ¢ (B1) (g, —vg) —0(B2) (g, v,gz)’o 1l
lg, +15,

From Definition 5, the following useful results can easily be obtained.

(1) 0<pBi=p)<1,0<pBr=p)<1;
(2) p(B1 = B2) + p(B2 = B1) = 1. Especially, p(B; = ;) =0.5,i =1,2.
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3 Intuitionistic Uncertain Linguistic Number
Aggregation Operators

To aggregate the intuitionistic uncertain linguistic information, in the following,
we develop some new aggregation operators, such as the IULNWA operator, the
TULNOWA operator and the IULNHA operator.

Definition 6 Let Ej = <[se(ﬁ,)v s¢(/§/)], g, ij)(j =1,2,...,n) be a collection
of IULNSs and let [IULNWA: Q" — Q. If

TULNWA,, (B1. B2, ... Bn) = wiB1 @ w2B2 & - & w B, (6)
then IULNWA is called an IULNWA _operator of dimension n, where w = (wq,
wo, ... ,wn)T is the weight vector of 8; (j = 1,2,...,n), withw; € [0, 1] and
Z?:l wj = 1.

Theorem 1 LetEj = <[S9(Bj)’ S¢(/§j)]’ g, V3j)(j =1,2,...,n)beacollection of

IULNs, and w = (wi, wa, ..., wp)T be the weight vector of,gj (G=12,...,n),
with w; € [0, 1] and Z';:l w; = 1. Then their aggregated value by using the
IULNWA operator is also an IULN, and

TULNWA,, (81, B2, - .., Bn)

- <[SZ’}_1 wio (B T2 Wj¢(/§j)] ’

w0y + B, Xy wilo(B)) + e (Bplvg, > -

S wiloB) BT T Do wilo(B) + ¢(B))]
Definition 7 Let ,3]- = <[50(,§j)’ s¢(5j)], g, vgj)(j =1,2,...,n) be a collection
of IULNs. An IULNOWA operator of dimension » is a mapping [IULNOWA: Q" —

Q, that has an associated weight vector @ = (w1, 2, . .., w,)! such that w; € [0, 1]
and z;=1 wj = 1. Furthermore,

TULNOWA, (B1, B2, - -, Bn) = @1 Be(t) ® @2Br2) @ - D By (8)

where (7(1), t(2), ..., 7(n)) is a permutation of (1,2, ..., n) such that ﬁ,(j,l) >
51;(1') for all ]

Theorem 2 Let ,3j = ([SG(ﬁj)’ s¢(/§j)], g, VE/_) (j=1,2,...,n) be a collection
of IULNs. Then their aggregated value by using the IULNOWA operator is also an
IULN, and
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IULNOWA, (B1. Ba. - .., Bn)

= <[SZ;'-1 0B X0 w,-</>(/§f<,-))] ’

o100 + ¢ Br)Iig, i1 @il6Beiy) + ¢ Bei)vg, >

Y @ 0B) + ¢ BNl T Do wi0B()) + b (Be(i))]
©)

where w = (w1, wo, ..., a)n)T is the weight vector related to the IULNOWA operator,
with w; € [0, 1] and Z;":l wj = 1, which can be determined similar to the OWA
weights.

From Definitions 6 and 7, it can be known that the IULNWA operator weights only
the IULNs, whereas the IULNOWA operator weights only the ordered positions of
them. To overcome this limitation, in what follows, we develop an IULNHA operator,
which weights both the given IULNs and their ordered positions.

Definition 8 Let,gj = <[Se(/§j)’ s¢(/§j)], g, 1)5]_) (j=1,2,...,n)beacollection
of IULNs. An IULNHA operator of dimension » is a mapping IULNHA: Q" —
Q, which has an associated vector @ = (w1, @2, ..., w,)T with wj € [0,1] and
Z?:] w; = 1, such that

IULNHA, »(B1. Ba. - .. Bn) = 1B r(1y ® @2B'r2) ® -+ D 0nP o). (10)
where B’,m is the jth largest of weighted IULN's (nwl,él, nwzﬁz, ol nwnﬁn), w=
(w1, wa, ..., wy)T is the weight vector of ; (j = 1,2,...,n), withw; € [0, 1]

and Z;;l w; = 1, and n is the balancing coefficient.
Furthermore, we have the following:

IULNHA, o (B1, B, - -, Bn) =

<[SZ_';=1 0B T “’.f¢(’§§</>)] ’

a1 @10y ;) + 6B )Ing,  Xjmi @0 ;) + $Br)vg
Z?:l wj[e(,g;(j)) +¢(l§;(j))] 7 Z?:l U)j[e(,g;(j)) +¢(l§;(j))]
1D
and the aggregated value derived by using the IULNHA operator is also an IULN.

Theorem 3 Ifw = (1/n,1/n, ..., 1/n)T, then the IULNHA operator is reduced to
the IULNWA operator; ifw = (1/n, 1/n, ..., 1/n)T, then the IULNHA operator is
reduced to the IULNOWA operator.
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From Theorem 3 it can be known that the IULNHA operator generalizes both the
IULNWA operator and the IULNOWA operator at the same time, and reflects the
importance degrees of both the given IULNs and their ordered positions.

4 Group Decision Making Method Based on the IULNWA
and IULNHA Operators

In the following, we apply the IULNWA and IULNHA operators to develop a group
decision making approach, in which the criterion values take the form of I[ULN .
Let A = {Ay, Ay, ..., Ay} be the set of alternatives, I = {I, I, ..., I,} be
the set of criteria, and w = (wy, wa, ..., w,)T be the weight vector of I; (j =
1,2,...,n), withw; > 0 and Zl}:l wj=1.Let D = {dy,d>,...,d,} be the set
of decision-makers, and e = (e, ea, ..., e,)T be the weight vector of d; (k =
. ~(k ~
12.....0), with e = 0and 3%_; ¢ = 1. Suppose that R = (BL)un (k =
1,2, ..., t)arethe decision matrixes, where ,B( ) = ([Sg(ﬂ(k)), ¢(5(A> 1, Mg VBI(;())

take the form of IULNS, given by the decision-makers dk (k=1,2,...,1), for the
alternatives A; (i = 1,2, ..., m) with respect to the criteria I (j = 1, 2,...,n).
Then the ranking of the alternatives is required.
. .. . ~ (k

Step 1 Normalize the decision matrices R( ) (k =1,2,...,1). For the benefit-
type criteria, we do nothing; for the cost-type criteria, we utilize the linguistic nega-
tion operator § = neg(s =3 and § = neg(s =

p 6(8%) 8950y = Su_ag) $(BL) 85 (50)) =
Sy $(BP) to make the uncertain hngulstlc evaluatlon values be normalized.
ij

For convenience, the normalized criterion values of the alternatives A; with respect
to the criteria /; are also denoted by Bi(]k)(i =1,2,....m,j=12,...,n).

Step 2 Utilize the IULNWA operator

5k k k 5k
B = TULNWA, (B, BS .. Bis) (12)

to aggregate the criterion values of the ith line of the decision matrices R(k) k =
1,2,...,t)and derive the individual overall evaluation values 51.(/‘) of the alternatives
A; (i =1,2,...,m), given by the decision-makers dy (k = 1,2, ...,1¢).

Step 3 Utilize the [IULNHA operator

B =IULNHA., (3", B, ..., B
1 2
e I ﬂ’( @) o tﬁ,u()) (13)

to derive the collective overall evaluation values Bi of the alternatives A; (i =
1,2,...,m), where v = (vi, va,...,v)T is the weighting vector of the [ULNHA
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5, (1K) .

operator with vy > 0 and Z;(:l vi = 1, and B/; is the kth largest of the
weighted TULNs (te1 8\, 1282, ... 1e,8"), (x(1),7(2), ..., 7(1)) is a permu-
tation of (1, 2, ..., ), and 7 is the balancing coefficient.

Step 4 Utilize Eq. (5) to compare each ,5,' (i = 1,2,...,m) with all Br
r=12,..., n}), and construct a complementary matrix P = (pir)mxm, Where

pir = p(Bi > B,). By summing all elements in each line of matrix P, we derive
pi = Zle pir@ = 1,2,...,m). Then we rank these ,31- (i =12,...,m)in
descending order in accordance with the values of p; (i = 1,2, ..., m).

Step 5 Rank all the alternatives A; (i = 1, 2, ..., m), and then select the best one
in accordance with Bi (i=1,2,...,m).

5 Conclusion

In this paper, we have defined some new additive operational laws of IULNs, which
can overcome the drawback of additive operational laws proposed in [31]. Based on
these operational laws, we have proposed some new arithmetic aggregation operators,
such as the IULNWA operator, the [IULNOWA operator and the IULNHA operator.
Furthermore, based on the [IULNWA and IULNHA operators, we have developed a
group decision making method with intuitionistic uncertain linguistic information,
which develops the theories of aggregation operators and linguistic MCDM.
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Statistical Diagnostic of Center Fuzzy Linear
Regression Model Based on Fuzzy
Decentring Degree

Jia-wei Xu and Ruo-ning Xu

Abstract Aimed at the center fuzzy linear regression model with real input and
fuzzy output, the model parameter estimation is discussed on data deletion of fuzzy
decentring degree. Statistical diagnostic quantity is established to test outliers or
strong influential points in the observed data. And the step is given to examine with
the statistical diagnostic quantity. At last the example suggests that the method can
improve the accuracy of the computational results effectively.

Keywords Center fuzzy linear regression model - Case deletion model - Fuzzy
decentring degree

1 Introduction

Tanakan et al. [1] puts forward the fuzzy linear regression model with numerical
input and fuzzy output first, the computational complexity and the accuracy in which
the model are low; and then Diamond gives the least squares model fitting in with
triangular fuzzy number, the model prediction’s accuracy is improved, but its com-
putational complexity is increased, too. In the model building process, due to the
interference of gross error, random error and so on [2, 3], once mixed with outliers,
the methods will face critical challenges, and even get wrong conclusions. Above
all, it’s necessary to detect outliers or strong influential points of the observed data
while we reduce the computational complexity of the model.

So in order to improve the predictive accuracy of the model, it’s necessary to
find out the data point that influences the model much more when we build up the
model according to the original data. In contrast to the past, we discuss the model
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parameter estimation on data deletion while the model is the center fuzzy linear
regression model with real input and fuzzy output. Fuzzy decentring degree is the
statistical diagnostic quantity which is established to test outliers or strong influential
points in the observed data by using the least-squares method in this paper. At last
the example suggests the statistic constructed of the center fuzzy linear regression
model in this paper that is effective.

2 Preliminaries

In this section, some basic concepts and results on fuzzy numbers are reviewed,
which are necessary for developing our improved method.
Let R be the real number set R = {x|x € R, x > 0}.

Definition 2.1 [4] Let A be a fuzzy set on R. And

(1) IfA(xo) = 1, when 3xg € R; _
(2) If VA € (0, 1], when Ay = {x|A(x) > A} is a closed convex set;

then A is called the fuzzy number on R. R is denoted all the fuzzy numbers on R.

Definition 2.2 [4] On R, if the membership function has the following form:

} %x—%, m—a<x<m,
Alx) = —%x—f-mifb, m<x<m+b, (a,b>0),

0, otherwise,

the fuzzy number Alis called triangular fuzzy number, where m is the most possible
value of fuzzy number A, a and b are the left and right spread of A respectively. We
c~len0te itas A = (m, a, b). If a = b, then we say that A is symmetric, and write it as
A= (m,a).

3 Statistical Diagnostic of Center Fuzzy Linear Regression
Model Based on Fuzzy Decentring Degree

We always discussed the fuzzy linear regression model with real input and fuzzy
output. About the fuzzy linear regression model, in order to evaluate the ith
datum’s effect and influence in regression analysis, we can compare the statis-
tical inference results’ changes of statistical inference results before and after
deleting the ith datum. Thus we can know whether the point is abnormal or
strong influence. The model that deleted the ith datum is called the data deletion
fuzzy linear regression model. In this paper, we assume a set of fuzzy number
as {(x;, ) [yi = Oi, pi»qi), i = 1,2, ..., n}, and the barycenter of the fuzzy set is
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n

— - n n n
(x,3), where x = % > xiy = (1 > i :l > pis rll > gi). Then exchange the ith
i=1 i=1 i=1 i=1
datum of the fuzzy set to the barycenter coordinate. So the fuzzy linear regression

model Z;(i = 1,2, ..., n) which is obtained from the processed data is called the ith
data deleted center fuzzy linear regression equation. Its form is the following:

i) = a) + b[,]x aji € R, b[l] € R. (1)

According to the least-squares method, we have the following result for the para-
meters above the question.

Theorem 3.1 For y;) = ay; +b[lx ai) € R, b[l €R, if Gy Ym)(m # i,m =
1,2,...n) is a set of observed data, and Yy, = Vm, I, rm) is triangular fuzzy
numbet; then:

Z x Z Ym— Z Xm z xm}m_’ Z xm(lm_rm)“rz Xm Z xm(lm_rm)

arn = m#i mi mi m#i m#i m#i m#i
= =D % = (> 2m)” :
m#i m#i (2)
Z xm_)’m_a Z Xm Z Xl Z XmFm
E - m#i m#i m#i m#i
g IV N A
m#i m#i m#i

Fuzzy center value reflects the value of fuzzy number, and fuzzy decentring degree
is an index to evaluate the value of fuzzy number concentration degree [4]. So in
order to improve the prediction accuracy of the model and detect the much more
relative anomaly or influential data points about the set of data, we combine fuzzy
decentring degree to analyze the prediction data point of the center fuzzy linear
regression model before and after deleting the data in this paper.

Definition 3.1 [4]. For VA € R, we record supp;\ = (a, b) and

(1) Whena = b, let C(A) = a.
(2) When a # b, let

3)

Then C(A) is called the central value of A.
Deﬁnitiop 3.2 [4]. For VA € f(’, we record supp A= (a,b), C(A) as the central

value of A, and

(1) Whena = b, let D(A) = 0.
(2) When a # b, let
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a

- C(A)]zA(x)dx
D@A) =

4
fab;\(x)dx @

Then D(A) is called the fuzzy decentring degree of A. ~
According to the nature of fuzzy decentring degree, if the fuzzy number A is
triangular fuzzy number, we have the following function:

~ 1
D*A) = E@Z +4*+pg . (5)

In order to determine theoretically whether the ith datum is outlier or strong
influential point. The next we introduce the evaluation method.

Definition 3.3 [5]. Assume a choose optimal set as U = {uy, ua, ..., Uy}, give n
kinds of ranking advises that are L1, Lo, ..., L,. According to the objective condi-
tions, give the corresponding weights that are a;(i = 1, 2, ..., n). And B;(u;) is the

element number which is positioned after u; in L;. Then we called the following B(u;)
is the weighted Borda number of u;:

B(u) = > aiBi(u;). 6)

i=1

The scoring method [5] is now presented as follows:

(1) Calculate the weighted Borda number of each element in the collection.
(2) Sort the elements according to the size of the weighted Borda number.

The different model is considered as a element of a big set in practical applica-
tion, and according to the scoring method, we can actually compare the model after
assigning values.

When we make analysis of data,we operate on the following steps:

e Calculate the original fuzzy linear regression equation Z;

(2) Calculate the barycenter of the fuzzy set and exchange the ith datum, and then
calculate the center fuzzy linear regression equation Z;(i = 1,2, ..., n) after
deleting the ith datum;

(3) Calculate the ith fuzzy output datum of Z, and its fuzzy decentring degree D;
(i = 1,2,...,n), calculate the ith fuzzy output datum of Z;, and its fuzzy
decentring degree Di(i = 1,2, ...,n);

(4) Compare the size of each fuzzy decentring degree on step (3), and calculate the
data points’ fuzzy center value of each model that we get from step (1) and (2);

(5) According to the scoring method, calculate the weighted Borda number of the
data deleted model, and rank them. The larger is the weighted Borda number, the
better is the model. The result indicates that the deleted data point corresponding
to the model is outlier or strong influential point.
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Certainly, we should consider to combine the data actual background with the
meaning of the outlier or strong influential point during we diagnose the specific
data points.

4 Example Analysis

Through making a survey on an information company’s sales data [6] in recent years,
we get the following Table 1 (The volume y; is a triangular fuzzy number). Analyze
the data by the two models presented earlier in this article, and then discuss the
outliers.

For the convenience of calculation, transform in the following at first:

Ki=x; —1986,i=1,2,...,n. @)
Sety =a+ bk, and then the fuzzy regression equation is:
y = 221.169 4 (6.436, 0.294, 0.320)«.

We can acquire the ith datum deleted center fuzzy linear regression equation by
Egs. (2) and (7), the following Table 2 shows the equations:

So we can obtain different fuzzy output values corresponding to the ith datum
from the equation, according to Eq. (5) to calculate the fuzzy decentring degree, we
can get the following data in Table 3:

The data in Table 3 show that the eighth output datum fuzzy decentring degree
is the smallest in these equations. So maybe the eighth datum is outlier or strong
influential point compare with other data. According to Eq. (3), we can calculate the
fuzzy center value and then we can get the following data in Table 4:

Through the scoring method (The observed data can decide the model while the
product is on sales, and actually, each year sales data effect of the model is the same.
The weights value are 1/n respectively.) we can calculate the value of B(u;) (It’s the
weighted Borda number of x.):

Table 1 The sale of a company’s information

Year Sales volume (million) | Year Sales volume (million)
Xi yi = i» Pi» i) Xi yi = Ois i i)

1987 (230,2,1) 1992 (257,2,1)

1988 (236,3,2) 1993 (262,3,2)

1989 (241,2,3) 1994 (276,3,3)

1990 (246,1,2) 1995 (281,2,3)

1991 (252,2,2) 1996 (286,1,2)
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Table 2 The center fuzzy linear regression equation

J. Xu and R. Xu

ith datum The ith datum deleted | ith datum The ith datum deleted
center fuzzy center fuzzy
linear regression linear regression
equation Z; equation Z;

1 y1 = 219.669 + 6 Y6 = 220.968 +
(6.647,0.296, 0.234)x (6.510, 0.297, 0.339)x

2 5/2 =213.411+ 7 577 =220.672 +
(7.532,0.288,0.317)« (6.591, 0.283, 0.329)«

3 y3 =221.253 + 8 yg = 221.467 +
(6.422,0.292, 0.309)x (6.319,0.286, 0.315)«

4 ya = 221.664 + 9 Yo = 221.130 +
(6.399, 0.302, 0.317)« (6.238,0.319,0.322)«

5 y5 = 221.370 + 10 Y10 = 220.042 +
(6.426,0.294,0.319)« (6.283, 0.363, 0.363)x

B(u;) =0.1x(10+104+104+10+104+8+6+3+34+3)=7.3.

At the same time, we can get the other weighted Borda numbers of u;(i =
2,3,...,n) are:

B(uz) = 6.2, Buz) = 5.0, B(us) = 3.0, B(us) = 2.9, B(ug) = 2.6, B(u7) = 2.0,
B(ug) = 7.4, Bug) = 5.5, B(u1o) = 4.3.

Obviously, the value of B(lg) is the largest, namely the fuzzy linear regression
model which is obtained by deleting the eighth datum is the best model. In summary,
we makes a theoretical analysis from the above two aspects and the analysis suggests
that the eighth datum is outlier or influential point. If we remove the eighth datum
when we are building the model, the accuracy of the model can be improved much
more.

On the other hand, different fuzzy linear regression can be fitted according to dif-
ferent observation data, so that the prediction conclusion varies with model changes.
When we use the model to predict unknown data in practical application, it’s hard
to consider the conclusion accuracy. Therefore, in order to improve the accuracy of
the forecasting results, we should establish the data deletion model after finding out
the datum which influence is relatively large. At the same time, use the above data
in Table?2 to forecast the sales volume of 1997, and then calculate the square of the
corresponding fuzzy decentring degree. We can get the result as follow:

D? = 1.9406, D} = 1.8511, D3 = 1.8233, D] = 1.9315, D? = 1.8938,

D? =2.0140, D3 = 1.8907, D} = 1.8224, D§ = 2.0690, D3, = 2.6632.
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The smaller is the fuzzy decentring degree of the prediction point, and the higher
is its accuracy. Obviously the data show that the fuzzy decentring degree of the
prediction value after deleting the eighth datum from the application is the smallest,
so its accuracy is the highest. From the application of the model, we can know that
when we are building the model, the effect of the eighth datum is the largest. Thus it
has a further sign that the statistical diagnostics about the fuzzy decentring degree is
effective in the paper. And through the scoring method combined with fuzzy center
value we can improve the prediction accuracy of model much better.

5 Conclusion

Based on data deletion, we obtain the parameter estimation of center fuzzy linear
regression model when the data are deleted. We structure a statistical diagnosis that
is the fuzzy decentring degree to test the outliers or strong influential points in the
paper. Firstly, we present the steps of testing the outliers or strong influential points
in the data, and then study the actual history data and distinguish the outliers or
strong influential points. At last, it shows that the statistical diagnosis can improve
the accuracy of the model’s predictive ability and it has practical significance to
improve the prediction accuracy of the model in our life.
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A New Method of Multiple Attributes
Evaluation and Selection in Fuzzy
Environment

Xiao-yan Zhai

Abstract In a complex evaluation system, not only it is often necessary to deal
with multiple attributes decision problems, but also it is unavoidable to deal with the
uncertainness and fuzziness of people’s judgment. This paper considers the multiple
attributes and uncertainness decision problems in the complex decision systems, a
fuzzy multiple attributes evaluation and selection model is built, a new method is
developed for ranking fuzzy priorities from the model, and calculation formulae for
fuzzy priorities are derived. Finally, an applied example on suppliers’ selection is
given for demonstrating the method.

Keywords Fuzzy multiple criteria decision + Evaluation and selection model -
Fuzzy priority

1 Introduction

People often need to consider many factors or multiple attributes in complex decision
systems and it usually need to give judgment by experts. Therefore it is unavoidable
to consider the uncertainness and fuzziness of people’s thinking and judgment in the
multiple attributes decision problems. Jahanshahloo et al. [1], Wang and Parkan [2]
considered the fuzziness of people’s judgment and built the fuzzy decision models
by using the triangular fuzzy numbers and fuzzy preference relation. It is effective
method to deal with the complex decision problems, but the problems of the con-
struction of the fuzzy numbers and their objectivity should be researched further.
In the paper [3], we present a method that describes people’s fuzzy judgment with
interval fuzzy number on continuous judgment scale. Based on the research on paper
[3], we developed several fuzzy multiple attributes decision methods [4-8]. In this
paper, we will build a fuzzy multiple attributes evaluation and selection model based
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on interval fuzzy number, and present a new ranking method to extract the fuzzy
priorities for multiple criteria decision making. We also apply the model for supplier
selection in the end.

2 Building a Fuzzy Multiple Attributes Evaluation
and Selection Model

2.1 Operation Properties of Positive Bounded Closed Fuzzy
Numbers

Professor Saaty presents an quantificational approach of people’s judgment and
describes people’s judgment according to the 1-9 scale in paper [9], thatis, 1,3,5,7,9
represented equal importance, moderate importance, strong importance, very strong
importance, extreme importance respectively. In paper [3], we consider the uncer-
tainness of people’s judgment and extend the 1-9 scale of the importance comparison
to continuous scale interval (0, 10], and we can used other point x, x € (0, 10], to
present the intermediate state, the bigger the value x is, the more obvious the impor-
tance comparison is. So scale interval (0, 10] can be used to describe the uncertain
judgment of important comparison. We can extend scale interval (0, 10] to positive
real number area and give some relevant definition and conclusions in the following.

Definition 1 Let R is a positive real number set. A closed interval £ = [a, b] =
{x](0 < @ < x < b}on RT is said to be a judgment interval number if it is evaluated
area given out by decision-maker according to some judgment scale or evaluation
criterion.

Definition 2 ([10]). F (R™) denotes the set of all positive bounded closed fuzzy
numbgrs, namely A € F(R™) iff for every t € (0, 1] the t-level set A, = {x €
R : A(x) > t} is a non-empty bounded closed interval contained in R™ (where

Rt ={x:x>0,x € R}).

Clearly, the judgment interval number § = [a, b] is a real number when a = b,
and judgment interval numbers and positive real numbers all are especial positive
bounded closed fuzzy numbers. In the paper [4], we proved A, = {x € R : A(x) > t}
could be represented as a positive closed interval, and gave the operations of positive
bounded closed fuzzy numbers as follows:

Theorem 1 Let A, B € F(RY), A; = [s;, 111, B = [ps, q:], e > 0, then
(1) A4B= U t(A+B)= U tlsi +pr, i +al,

0<r<1 O0<r<1
(2) A-B= J t(A;-B)= U tlst-pr,re-qels
0<t<l1 0<t<l1

(3) A/B= U t(A/B)= U tls:/q:, rt/pi),

0<r<1 0<t<1
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(4) e- A= U t-A:= U tle s, e-rel,

0<t<l1 0<t<l1
(where e - A is derived from function f(x) = e - x by extension principle [11])

G) 1JA= U t(/A) = U tll/re, 1/s:].

0<t<l1 0<t<l1

Here t[a, b] is a fuzzy set on RT and its membership function is defined as

t, u € la,bl],

+
0, uglab), “SR

tla, b](u) = tAla, bl(u) =

And this notation will be used in the sequel.

In a general way, people’s views or judgment about same problem are often
different because of the difference of their knowledge and experience. Suppose
that there are m decision-makers in the group, every decision-maker make the
uncertainness judgment independently according to some scale. Denoted £®) =
[a(k), b(k)](k = 1,...,m) as the judgment interval number, which is given out by
the kth decision-maker. If &% N eD £ ¢ for any k,I € {1,...,m}, it is easy

m
to prove () €% #£ ¢. It is possible to exist the judgment interval numbers & *0)
k=1
and &0 such that £ k) " %) = ¢ when the judgment £ %0 of the koth decision-
maker and the judgment &%) of the lgth decision-maker are completely different
(ko, lo € {1, ..., m}). For this case, the results can be adjusted by exchanging their
opinions between the kgth and /pth decision-maker, and the result:

g0 (D £ ¢ foranyk.l e {1,....m) (1)

will be reached finally. We call formula (1) as the approximate consistency condition
of the group’s judgments. We get the following conclusion under this condition.

Theorem 2 Let §(k) = [a(k), b(k)](k = 1,...,m) be a judgment interval number,
O N ED £ ¢ (foranyk, 1 € {1,...,m)}). Then

1 m
a(0) =~ xew (0)x € R )
k=1

is a closed fuzzy number on R™ (here Xew) is & ®'g characteristic function).

Proof Let a®) q®) g n) pe the order from small to large of the numbers
a® a@ . 4™ wherek; ko, ..., k,, isapermutationof 1, ..., m. We can prove
thatVk,l e {1,..., m}, a® < p® just based on f;‘(k) N 5(1) # ¢. So the order from
small to large of the 2m numbers a, a®, ... a™ b b@ . b can be
expressed as a® gk o gGn) pUm) pUm-pUD where Ly Lu—1, ..., 1
is also a permutation of m, m—1, ..., 1. We can obtain formula (3), there a(x) is a
monotone increasing right continuous ladder function in interval (0, 5¢)). Similarly,
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we can prove that a(x) is a monotone decreasing left continuous ladder function in
[b®), bUD]. Thus a(x) is a positive bounded closed fuzzy numbers in step form
according to the definition of closed fuzzy number.

0, when 0 < x < a®*) orpUm) < x
t
> %, whena®) < x <a®+) (t=1,...,m —1);
a)=1"7" 3)
%, when b+ < x < pi) (t=1,...,m—1);
n=1
1, when a%m) < x < pUm)

2.2 Building of a Fuzzy Multiple Attributes Evaluation
and Selection Model

A evaluation system usually involves many different factors, which have different
attributes and have some relationship to each other. It is difficult to consider these
factors, attributes, evaluation criterions and their relationship in evaluation process.
In the section, we shall consider the multiple attributes of evaluation problems and
fuzziness of people’s judgment, and extend classical multiple attributes decision
making methods to fuzzy environment, and build a fuzzy multiple attributes evalu-
ation and selection model based on positive bounded closed fuzzy numbers in step
form.

Suppose that there are k projects uy, ..., u; waiting for selection, and there are
n attributes vy, . . ., v, in the evaluation index system. If the decision-making group
have persons m, every decision-maker give out a range on interval to represent his

uncertainness judgment independently according to some scale. Denoted éi(;) =

[ai(]l.), bl.(j.)](l =1, ..., m) asith project judgment interval number under jth attribute
@=1,....k,j = 1,...,n), which is given out by the /th decision-maker. Let
Ei(jo = [al.(j.), bg-)] (I = 1,...,m) satisfy the approximate consistency condition of
the group’s judgments because the results can be adjusted by harmonizing the group’s
views when the group’s judgments are inconsistent, that is we have Sl.(f ) N él.(;’) *¢
forany p,g € {l,...,m}(i =1,...,k, j=1,...,n). So we can use the formula
(2) to aggregate the group’s uncertainness judgments as a positive bounded closed
fuzzy numbers a;;(x) on R™T when the group’s judgments satisfy the approximate
consistency condition, that is

_ 1 —
ajj(x) = - ZX&(;) (x)x € RT (4)
=1
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Table 1 Evaluation table

Projects Attributes

Vi Vo ... Vn
uj ai apn ak
us a1 an ay
ug ary aro Gfen

and a;;(x) represents a group’s judgment or view for ith project under jth attribute.
Denoted a;; as a;;(x), the evaluation table of k projects under # attributes can be
established, as shown in Table 1.

Based on the above analysis, a fuzzy multiple attributes decision matrix can be

constructed as follows: o
app ap -+ din

a1 ax -+ aiy )

2>
I

We can take the formula (5) as a fuzzy multiple attributes evaluation and selection
model, and then we shall discuss the problem of the fuzzy priorities from the model
in next section.

3 A Method of Calculating Fuzzy Priorities

3.1 The Normative Method of Fuzzy Multiple Attributes
Decision Matrix

Since the dimension or scale of some attribute values may be different in a fuzzy

multiple attributes evaluation and selection model, it is necessary to be normalized

before deriving fuzzy priorities from the fuzzy multiple attributes decision matrix.

Usually the attribute can be parted tow types: benefit type and cost type. According

to the proportion method in traditional multiple attributes decision-making, we have
ajj . .

Zij = <=5 (when attribute v; is benefit type) (6)

> aij

1 a;
Zij = # (when attribute v; is cost type) @)

iz (1/aij)
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Here q;; represents a attribute value for ith project under jth attribute in non-fuzzy
environment. We can obtain formulae (8) and (9) by form (6), (7) and extension
principle [11]:

Zij = %, (when attribute v; is benefit type) )
2 izt dij
1 o
Zij = n/#, (when attribute v is cost type). ©)]
i (1/aij)

There a;; a positive bounded closed fuzzy numbers in step. VA > 0, the A-level set
of a;; is a closed interval. Denoted (a;;); = [a;j (1), b;;(A)]. When attribute v; is
benefit type, we get formulae (10) by Theorem 1:

~ (@ij)a
Br= U (o)
= U iy

<i<1 izt (@ij)
= @i bij)]
B O<LXJ<] A S laij (), bij(M)] ) (10)
] i) bij(})
= A naj , L j .
O<L)‘J<1 : 2= bij ) i=1aij (1)

And we also get formulae (12) by Theorem 1 when attribute v; is cost type:

Z 1/(aij)x
“ ()<L)4§1 ( >zt (/i) )

1
_ U )\’( ij ij ) (11)
0<isl X m)
= U al 1 : : 1.

n 1 n 1
0<i<l bij (W) 20y @0 aij(A) Dy B0

The fuzzy multiple attributes decision matrix A = (G j) in (5) can be normalized
based on the above discussions, and we can denoted the normalized fuzzy decision
matrix as Z = (Z;;).

3.2 A Method for Calculating Weitgh of Multiple Attributes

It is difficult to determine weights of attributes in the evaluation system because their
relationship is complex. In the analytic hierarchy process presented by Professor
Saaty [9], the judgment matrix can be constructed by pairwise comparisons, and the
priorities can be derived from the judgment matrix. Suppose that vi, ..., v, are n
attributes, for any v;, v; € V(V = {v1,v2, ..., v,}), let every decision-maker make
out his judgment of importance comparison independently according to continuous
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scale interval (0, 10] mentioned above. Denote hl(j) [c l(j), d(l)] (I=1,...,m)as
ajudgment interval by the /th decision-maker given out for comparing the importance
of v and vj(i < j). We can suppose h(j) [c(j) di(/l.)] (I = 1,...,m) satisfy the
approximate consistency condition (1) according to described above. Therefore the

fuzzy judgment a; ] (x)(@ < j) for the group will be gotten by Theorem 2. Go a step
further, we can obtain a fuzzy judgment matrix A = (El; j)nX . based on the above
discussions, where a; ! (i < j) are positive bounded closed fuzzy numbers in step
form on (0, 10]. Since the diagonal elements represent the importance comparison
of v; with itself, we have that the elements in diagonal all equal to 1, namely a;;, =
1 =1,...,n),and Zz}i = l/ZzlfJ. (i # j) by (5) in Theorem 1. By applying fuzzy
extension principle [11] to the row addition normalized method in classical analytic
hierarchy process [12], we can derive

>l

Wi = = i =1,...,n), (12)

Z?:l Z/ 1 al/j
here W1, . . ., W, are the fuzzy wights derived by fuzzy judgment matrix A’. In details
let (a; /.) » = [cij(A), d;j(A)] since a; ; are positive bounded closed fuzzy numbers
(i, j =1, ..., n). By the operation properties of Theorem 1 about positive bounded

closed fuzzy numbers, we easily obtain

Bi= U Mm@

0<a<l 2= 12’; 1@

— / 1 clj()‘)sdtj()‘)]

_0<LAJ<1MZ Tt [ [y (0. 0T (13)

— Z] ILIJ(}‘) ;l ldlj()") .

_0<L,\J<1)L[Zl L di () S 2y i () 1G=1,...,n),
namely,

wi= |J AMEnRYG=1.....n), (14)
0<r<l1
where . .
@ 2 i) ®) 2o dij()
P = j )

S dy T L S e

3.3 Synthesis of Priorities for Projects

In following discussion, we will consider the problem to calculate the priorities 7;
of i projects u; with respect to n different attributes vy, ..., v,. Suppose that the
weight of attribute v; is w;(j = 1, ..., n), and Z;; is normalized attribute value of
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the project u; (i = 1, ..., k) under attribute v;. Then the overall fuzzy priorities of
the project u; can be computed according to

Fi=  WEi =1,k (15)
Let ~
Wi =1IpiM), ¢jM], (G =1,...,n),
Gij)s = laij ), BijM], G =1,....k;j=1,...,n).
Then

= U A pi 000 3 a0l =1, b,

0<xi<l

Similarly, for a multi-level decision problem, we can process the calculation by
the same procedure from the top to bottom.

4 An Example on Supplier Selection

Itis very important to select suppliers for a manufactory. Many factors are considered
on supplier selection, such as credit standing, the price, service, etc. Let us consider
the case of the MD&S Electronics Company, which produces electronic components
for acomputer manufacturer. There are three different suppliers SP, BLE and HUD (In
order to discuss conveniently, we can denote SP, BLE, HUD as s1, 52, 53 separately)
can be chosen for MD&S. In order to choose the best supplier MD&S committee
to make this decision according to following attribute: c;: credit standing; c;: the
price; c3: service. In Table 2, the uncertain judgments Ei(;) given by the /th decision-
maker are pairwise importance comparison about attribute ¢; and c; according to
continuous scale interval (0, 10].

Table 2 Judgment for importance comparison

Cl ) 3
&) =13.0,3.9] £ = [1.0,2.0]
1 £3 =[3.0,4.5] £? = 115.28]
N £ =[3.5,45] £D =11.8,3.0]
1 ) =15.0,5.5]
” £ =15.0,6.0]
£Y =[45,6.5]
c3 1
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We can get the fuzzy judgment matrix (see Table3) of attributes according to

Table 2.

We can calculate fuzzy wight w; of attribute c;(j = 1,2, 3) by formula (13)
(see Table4). Suppose the price be gaved by si, 52, 53 are 1, 0.9 and 0.8 million
respectively and the reciprocal of the price is the corresponding priority. Then after
normalizing the priorities are 0.29, 0.33, 0.35. The fuzzy decision matrix under the

attributes c;, ¢ , c3 are as follows (Table 5).

We can derive the fuzzy priorities 7; about suppliers s; under the attributes c; by

using formula (10) and (14) (see Table6).

Table 3 Tuzzy judgment matrix table

A cl (&) c3
ci 1 1 [3.5,3.9] [1.8,2.0]
2/3 [3.0,4.5] [1.5,2.8]
1/3 [3.0,4.5] [1.0,3.0]
c 1 [0.256, 0.286] 1 [5.0,5.5]
2/3 [0.222, 0.333] [5.0, 6.0]
1/3 [0.222, 0.333] [4.5,6.5]
3 1 [0.50, 0.556] [0.182, 0.20] 1
2/3 [0.357, 0.667] [0.167, 0.20]
1/3 [0.333, 1.0] [0.154, 0.222]
Table 4 Calculate fuzzy wight
A w1 wo w3
1 [0.51, 0.54] [0.28, 0.29] [0.19, 0.20]
2/3 [0.49, 0.58] [0.26, 0.32] [0.18, 0.22]
1/3 [0.46, 0.60] [0.25, 0.33] [0.17,0.23]
Table 5 The fuzzy decision matrix
A c1 (o) c3
s 1 [4.0,5.0] 0.29 [2.7,3.2]
2/3 [3.7,5.3] [2.5,3.8]
1/3 [3.5,5.5] [2.0,4.0]
5 1 [5.0,5.5] 0.33 [3.0,3.5]
2/3 [4.7,5.8] [3.5,4.0]
1/3 [3.8,6.3] [3.5,4.5]
53 1 [6.0, 6.8] 0.35 [5.8,6.5]
2/3 [5.7,7.1] [5.5,6.8]
1/3 [5.3,7.5] [5.0,7.0]
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Table 6 The fuzzy priorities 7;

X. Zhai

A 7 1) 3

1 [0.32, 0.34] [0.38, 0.39] [0.43, 0.50]
2/3 [0.28, 0.36] [0.36, 0.40] [0.36, 0.53]
1/3 [0.26, 0.42] [0.35, 0.43] [0.33, 0.58]

Obviously, the ranking of fuzzy priorities is 73 > 7, > r1, the decision committee
should choose the brand u; from the results above.

According to demonstration of our example, it is easily to see that the method
presented above is rather simple and convenient for operation and can be used for
dealing with actual multicriteria decision problems in complex systems.
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A Discrete-Time Geo/G/1 Retrial Queue with
Balking Customer, Second Optional Service,
Bernoulli Vacation and General Retrial Time

Yan Chen, Li Cai and Cai-min Wei

Abstract Inthis paper, we study a discrete-time Geo/G/1 retrial queue with a balking
customer and a second optional service where retrial time follows a general distribu-
tion. If an arriving customer finds the server free, he begins the service immediately.
If an arriving customer finds the server busy or to be on vacation, then he will con-
sider whether he enters into the system. After a customer accepts his first essential
service, he may leave the system or ask for a second service. In this model, we assume
that the server, after each service completion, may begin a vacation or wait to serve
the following customer. This paper studies the Markov chain underlying this model,
we establish the probability generating functions of the orbit size and system size.
Finally, some performance measures and some numerical examples are presented.

Keywords Retrial queue * Balking customer + Optional service + Bernoulli vacation

1 Introduction

The retrial queue firstly proposed by Cohen was received extensive attention of
scholars in the past of thirty years. Retrial queue has the characteristics as follows:
If arriving customers find all servers busy, then they leave the server temporarily and
join the retrial group (which is called orbit) to try their luck again after a random time
period, otherwise they will accept the service. Note that they are always in orbit no
matter accepting the service or not. Queues in which customers are allowed to retry
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have been extensively used to model many problems in telephone switching systems,
telecommunication networks and computer systems for competing to gain service
from a central processor unit. Now there is a large number of related literature on
retrial queues and a good survey of the results and fundamental methods of retrial
queues. For detailed overviews of the main results on this topic can be found in the
paper by Artalejo [1, 2], Falin and Templeton [3] and Gomez Corral [4].

In most cases, the standard models in classical queueing theory are systems oper-
ating in continuous time. However, in practice, discrete-time queues are more appro-
priate than their continuous-time counterparts for modelling computer and telecom-
munication systems in which time is slotted. The more detailed discussion and appli-
cations of discrete-time queues can be found in the books by Takagi [5], Woodward
[6] and Tian et al. [7].

In lots of queueing systems, the arriving customers won’t leave the system until
the completion of his service. But in our real life, many arriving customers often
don’t do so. Consequently, the resulting problem, i.e., a balking customer is pay
attention to by more and more learners. Recently, the problem has been extended
to discrete-time retrial queues. Aboubl-Hassan and other scholars [8, 9] studied a
discrete-time Geom/G/1 retrial queue with balking customers.

In addition, now there are two or more chances for the customers to give in the
system. For example, after accepting the first essential service in the system, all cus-
tomers have an alternative choice: one is that some of them require a second service,
another is that some of them leave the the system. Atencia and Moreno [10] studied
a discrete-time Geom/G/1 retrial queue with a second optional service. Wang and
Zhao [11] considered a discrete-time Geom/G/1 retrial queue with starting failures
and a second optional service. We note that the server may stop running temporar-
ily after some time (perhaps some servers need a vacation or some machines need
repairing etc.). So Wang [12] studied a discrete-time Geo/G/1 retrial queues with
general retrial time and Bernoulli vacation. Chen et al. [13] considered a discrete-
time Geo/G/1 retrial queue with Bernoulli vacation and a second optional service.
Wei et al. [14] considered a discrete-time Geom/G/1 retrial queue with balking cus-
tomers and a second optional service. But, there is no work about a general retrial
time Geom/G/1 retrial queue with balking customers, a second optional service and
Bernoulli vacation. That is our motivation to study this model.

2 Model Description and Markov Chain

In this paper, we consider a discrete-time Geom/G/1 retrial queue with a balking
customer, a second optional service, Bernoulli vacation and general retrial time in
the early arrival system (EAS, see Hunter for details [5]). The time slots be marked
by 0, 1,...,m, ... in order. Either the customers leave or vacation ends occurs in
(m~, m), the customer arrives or retries in (m, m™).

It is assumed that customers arrive according to a Bernoulli arrival process with
parameter p, and there is no waiting space in front of the server. Therefore, if the
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customer finds the server busy state or vacation state when he arrives at the system,
he either joins the orbit and waits to attempt service again later with probability 0
or leaves the system forever with probability § = 1 — @; if the customer finds the
server idle when he arrives at the system, the arriving customer begins his service
immediately. After completion of the first basic service, the customer may leave sys-
tem with probability @ = 1 — « or choose a second optional service with probability
o. Here, we assume that if two events which customers who complete their basic
service decide to receive an extra service and new arriving customers (external or
repeated) arrive at the system occur at the same time and find the server idle, then
customers of the first case begin their service immediately. Customers of the second
case regard the system as busy and consider whether join the orbit to wait to attempt
service again. Therefore, we say that the customers who decide to receive second
optional service have priority than new arriving customers.

When there is no customer in the orbit, the server may not be coming vacation,
only after the server completed the customer’s service, he can attempt a vacation, that
is, after the customers in the two periods accept their services, the server will wait
for the next customer’s service by probability ¢ or choose a vacation by probability
qg=1-gq.

Suppose that the tow periods of service time are independent and identically
distributed with general distribution {s1;}7°,, {s2,;}{2,, and their probability gen-
erating functions Sy(x) = > 5o, s1;x’, and Sr(x) = > .2, 50,;x and their cor-
responding nth factorial moments f;, and B, ,, respectively. Vacation time is
assumed to follow a general distribution {s3 ;}7°, with probability generating func-
tion §3(x) = Zfi 1 S3,,'xi and nth factorial moments B3 ,. Retrial time also follows a
general distribution {a; }{°, with probability generating function A(x) = > aix’.

The inter-arrival time, the service time, the retrial time and vacation time are all
assumed to be mutually independent. In order to avoid trivial cases, it is also supposed
0<p<10<6=<1,0<a<1,0<gqg<1letp = pPfi1i1, 02 = pap1,
03 = pq 3,1, the intensity of traffic system is p = p1 + p2 + p3.

At time m™, the system can be described by the process Y, = (Cy, Eim> Nm),
where

the server is idle,

, the server is busy caused by a first essential service,
the server is busy caused by a second optional service,
the server is vacation,

Cn =

L= 0o

and N,, is the number of repeated customers in the orbit. When C,,, = 0 and N, >
0, &.» represents the remaining retrial time; when C,, = 1, & ,, represents the
remaining service time of the first essential service; when C» ,, = 2, §,, represents
the remaining service time of the second optional service; C,, = 3, &3 ,, represents
the remaining vacation time.

It can be shown that {Y,,, m > 1} is the Markov chain of our queueing sys-
tem, whose state space is {(0,0); (0,i,k) : i > 1,k > 1;(l,i,k) : i > 1,k >
0; 2,i,k) :i > 1,k >0;Q3,i,k) : i > 1,k > 0}. Next our goal is to find the
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stationary distribution of the Markov chain {Y;,, m > 1} which is defined as follows

0,0 = mli—>moo P{Cm = 0, Nm = 0},
ﬁo,i,k=m1i_r)nooP{Cm=0,Ej,m=i, Ny =k}, i>1k>1,
Tk = M P(Cp = &m =1, Ny =kl, i=1k=0j=123,

wherei > 1,k>0,j =1,2.
The one-step transition probabilities Py, = P{Y,,+1 = y'|Y,, = y} are given by:

(1) When k& = 0, we have

P0.0)0.0) = P, P(1,1,0)0,0) = @pq. P@,1,000,00 = P4, P3,1,000,0 = P-
(2) Wheni > 1,k > 1, we have

P,i+1.00.i,0) = P» Pa,1,00.i.k) = Paqa; Pa1.1)0,i,k) = Pqai,
P3.1,k)(0,ik) = Pai-

(3) Wheni > 1,k > 0, we have

P,0)(1,1,00 = ps1,i» (k=0), Po,1,k+1)(1,ik) = PSLis

Po,joa,ik =pstisj =1, (k>1), Pa1ka,ik) =apgst,

P, 1 k1) (1,ik) = @pgaosti, Pait1k-1a,ik = po, (k= 1),

P it1.01ik) = P+ PO, Po1iaik = Pqsii> Pe1k+DA,ik) = Pgaost,i,
P30 (1Li k) = PS1is P31k+1)(1,ik) = PAost,i.

(4) Wheni > 1,k > 0, we have
P 1k-n@ik = pabsyi, (k= 1), Pa ik =a(p+ ph)si.
Poiv1 k=i =P8, (k= 1), Poit1,0@,ik =P+ po.

(5) Wheni > 1,k > 0, we have
P11 k—1)@ik) = @qpissi. (k= 1), Pa1n@ik =aq(p+ ph)ss,

Po 1 k-1@3.ik) = PqOs3i, (k=1), Po1xa.ik =P+ pdgssi,
P3iv1k—-1)@3,ik) = PO, (k>1), P3itv1.03.ik =D+ PO,

where 8o x denotes the Kronecker’s symbol.

3 Measure Performances of System

In this section, we will derive the measure performances of state system. From above
stationary distribution of the Markov chain {Y,,, m > 1}, we obtain the Kolmogorov
equations under balance state as follows

0,0 = PT0,0 + APGm1 1,0 + Pgm2.1.0 + P73.1,0, )]
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0,i,k = PT0,i+1,k +APGa;mwi 1k + pqaima 1k + paims g, > 1,k>1, (2)

o0
Trik = 80xPSLiT0.0 + PS1imo 1 k41 + (1= 80.)Psti D70 jk +EPgstiTi ik
=
+apqapst,imi1k+1 + (1= 3806)pOmiivik—1 + (P + pOITLit1k
+ Pgs1,iT2 1k + PGaos1,ima, 1 k+1 + PS1,i73,1.k + Paos1,in3 1 k+1, | = 1,k >0,

3)

m ik = (1= 80 k) pabs iy 1 k-1 + a(p + pb)syimy 1k (4)
+ (1 =80.0)P072i+1.4—1 + P+ P72 it14, I =1, k=0,

w30k = (1= 80,4) paGos3,imi 1 k-1 + &(p + pO)gss im 1k
+ (1 = d0,0) pG0s3,ima,1.k—1 + (P + p0)gs3,im2,1k (5)
+ (1 = b0, pO73,it1k—1 + (P + pO73iv1k, 1 =1,k =0.

The normalization condition is
00 00 3 o0 o
LIEDIDIIVEDIDIPIIVESE
i=1 k=1 j=1i=1 k=0
To solve Egs. (1)—(5), let us define the following auxiliary function
o0 o0
k k. .
®oi(x) = D moixdt. D)= miut, i=1,j=1223
k=1 k=0
In addition, we introduce the following generating functions
oo o . oo o0 .
Dp(x,z) = ZZno,i,kzkx’, i>1, @(x,2)= ZZﬂj,i,ksz’, i>1,j=1273.
i=1k=1 i=1k=0

From Eq. (1), we have
P70 = APqgmy1.0 + P10 + Pr310- (6)

Multiplying both sides of Eqs. (2)—(5) by z¥, and summing over k with Eq. (6),
we get

D,i(z) = pPo,i+1(2) + apqga;P11(2) + pga;P21(2) + pa;P31(z) — pa;mo,o.

_ (7
_ = P
D1,i(z) =(p+ po+ poz)P1,i+1(2) + ;Sl,i¢0,l(z) + ps1,iPo(1, 2)
pay + pz _ Z—aop
+%s1,i[aq¢1,1 @) +qP21() + D31()] + PS1iT0,0-

(®)
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®2.(z) = a(p + pd + po2)@1.1(z) + (p+ pb + po2)P2iv1(z). (9

®3,(z) = a(p+ pb + p02)gs3iP1,1(2) + (p + pb + p02)ds3 i P21(x)(p
+ p0 + po2)P3 i 41(2).
, (10)
Multiplying both sides of Egs. (7)-(10) by x*, and summing over i yields

x—p

Do(x,z) = apq®1,1(D)[Ax) —aol + pgP2,1(D[A(x) — aol + pP3,1(2)[A(x) — aol

— plA(x) — aolmo,0 — pPo,1(2).
(11)
Let x = 1 in Eq.(11). We obtain

pPo(l,2) = apq®y,1(z)(1 —ap) + pqgP2,1(z)(1 — ap) (12)
+ p®3,1(2)(1 —ag) — p(1 — ap)mo,0 — pPo,1(2).

Let R(z) = p + pf + pOz. We have
x — R() _ 5 pag+pz & _
P1(x,2) = 2P0,1(2)S1(x) + pPo(L, 2)S1(x) + [—=aqS1(x) — R(2)]P1,1(2)

pap + pz zZ—ap
+ %Sl ([ D2,1(2) + P3,1(2)] + TPSI (x)70,0-

(13)
TR g (1, 2) = aREBLI)S2(6) — RE) P21 (2). (14)
x — R(2) __ _
———P3(x,2) = aqR(2)P1,1(2)S3(x) + R(2)qP2,1(2)S3(x) — R(2)P3,1(2).
(15)
Let x = p in Eq.(11). We obtain
PLA(P) — aglmo,0 = apq®1,1(2)[A(p) — aol + pgP2,1()[A(P) — aol (16)
+p®@3.1()[A(P) — ao]l — pPo,1(2).

Let x = R(z). Substituting it into Egs. (13)—(15) with Eq. (12), we have
R(2)®2,1(z) = aR(2)P1,1(2)$2(R(2)). 17
D31(2) = aqP1,1(2)S3(R(2)) + ¢P2,1(2) S3(R(2)). (18)

From the above equations, we obtain

pao(l —2)S1(R(2)mo,0 = (1 — 2) pS1(R(2))Po,1(2)
+{lz + 1A = 2)papl$1(R(2))B(z) — R(2)z}P1,1(2),
(19)
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where
B(z) = aq + aqS$2(R(2)) + [@ + ¢ S2(R(2))1gS3(R(2)).

From Egs. (16)-(19), we obtain

PzlA(p) — aollR(z) — B(2)S1(R(2))]  mo,0

Po,1(2) = — 200
[z+ (1 —=2)pA(PB()S1(R() — R()z P
PA(P)(1 —2)$1(R(2))
d)l,l(Z) = p _ -+ 7T0,0-
[z+ (1 —2)pA(P)1B(2)S1(R(2)) — R(2)z
_ PA(P)(1 — 2)aS1(R(2))S2(R(2))
D1(2) = 770,0-

[z + (1 —2)pA(P)IB(R)SI(R(Z) — R(2)z

D01 () = PADIIL = DG + a$HRENTS (RE)S(RE)
M T L (1= 2pA(PIB()S1(RR)) — R(R)z

261

(20)

21

(3.22)

(22)

In order to obtain the the probability generating function of steady distribution of

Markov chain {Y;,, m > 1}, we will introduce the following Lemma, let

AR) =z + (1 =2)pAPISI(R()]ag + aq$H(R(z)) + [ + aS2(R(2)]1gS3(R(2)]

— R(2)z.

In order to find the analytical solution for our system, we give two necessary

lemmas as follows:

Lemmal [14] If 0 < x < 1, then inequalities Sj(x) < x and S>(x) < x are

established.

Lemma 2 [14] If p = p; + p2 < 1, then A(z) > 0 holds for 0 < z < 1. Under this

condition, the following limits exist

1=z 1
lim = — ,
=1 A(2) 1—6p—06p

where

A@) = (p+ p2)S1(p+ pb + poz)a +aS2(p + pd + p2)] — z2(p + pb + pbz).

So we can obtain the limits exist based on the above inequalities and L’Hospitials’s

rule, then the proof completed.

Theorem 1 If0p < Op + pA(p), then the Markov chain {Y,,, m > 1} has the state

distribution, its probability generating functions are follows
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AW) — AGD)  przRE) = BOSIRE)]

Pl =" AQ)
o106 1 = S1O “SIRE@) px(1 “DAPDRE
U T T IRG) AGQ)
» 500~ 5(R@)  apx(1 = DADRE)SI(R()
2D =T TRG, AG) 00
due. 1 = S0 = SR pr( = 9AGIE +aHREIR@S (RE)
TEYE T RO AQ) o
where

_ PA(D) +6p—6p
0,0 = — = -
A(p)(1 —6p —0p)

Proof From Egs.(20)—(22) and Egs.(11)-(15), we can give @o(x, z), P1(x, 2),
D (x, 7), P3(x, z). By the regular condition 7rp o + P (1, 1)+ D1 (1, 1)+ P2 (1, 1)+
®3(1,1) = 1, we obtain g 9. When g o > 0, we have 6p < Op + pA(p), therefore
0p < Op + pA(p) is an ergodic conditions of Markov chain {Y,,, m > 1}.

From the above conclusion, we can obtain the following:

Corollary 1 (1) When the server is idle, the probability generating function of the
number of customers in the orbit is given by

Ap)|[(p B(z)S1(R —zR
700+ Bo(1, 2) = (P)(p + p2) ZZZ;( (2)) — zR(2)] 00,

(2) When the server is busy, the probability generating function of the number of
customers in the orbit is given by

A@ﬂﬂ@_I—SKR@D+aSNR@DU—SﬂR@D]qmo

D1(1,2) + P2(1,2) = ) A(2)

(3) When the server is vacation, the probability generating function of the number
of customers in the orbit is given by

qAP)R(z) [1 = S3(RE@)I@ + aS2(R(2))]81(R(2)) .n
0 A(z2)

4’3(1, Z) =

(4) The probability generating function of the number of customers in the orbit is
given by
N(z) =m0+ Po(1,2) + D1(1,2) + P2(1, 2) + P3(1, 2)

_A(p) (1 -02)R(2) — 6B(2)S1(R(2)) _
T A(2)

7'[()’0.
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(5) The probability generating function of the number of customers in the system
is given by:
L(z) = m0,0 + Po(l, 2) +2P1(1, 2) + 2P2(1, 2) + P3(1, 2)

_ A OIRG)z = BQSIRENI+ (1 = DREIE + aSaREISIRE)]
T A(2) 00

Corollary 2 (1) The probability which the system is in idle period is by

PA(p)+06p —6p
70,0 = ——— = —.
A(p)(1—=06p+06p)

(2) The probability which the system is in busy is by

A(p)(Op —0p) —0(p — p)
Ap)A—bp+6p)

Qo(1, D)+ @1(1, 1) + @2(1, 1) + @3(1, 1) =

(3) The probability which the server is in idle period is by

1—6p—06
0.0 + o1, 1) = — L 7P
1-60p+06p

(4) The probability which the server is in busy period is by

p1+ P2

@l,l‘i_@ 1,12*.
(L D)+ @2(1, 1) T —0p+0p

(5) The probability which the server is in vacation period is by

03

oyl )= — B
s, 1) 1—8p+6p

(6) The number of customers is in the orbit is given by
E(N) = lim N'(z)
z—1

_ 20(p = p)lOp + pA(P) + 0ppAP)] +0OpAP) +0)p*E(p) +2F (p)]
2(pA(p) +6p —6p)(1 —6p +60p) .

(7) The mean customer number of system is

p1+ P2

(L) (N) T—6p+0p

where E(p) = P12 +aB22+qB32, F(p) = p1p2+ p203 + p103.
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Remark 1 Two special models.

(a) When o = 0, g = 1, our model can change to the discrete-time Geo/G/1retrial
queue system with a balking customer and general retrial time, we have the proba-
bility generating function of the system size as follows:

A(p) 0p(l —2)81(R(2)) — 0z(R(z) — $1(R(2))) +z(1 — S1(R(z)))R(z)n
0 A(2)

L(z) =

)
5

where
A(z) = pA(p)(1 — 2)S1(R(2)) — z[R(z) — S1(R(2))],

its result coincides with the result in [5].
(b) When o = 0,0 = 1, our model can become a discrete time Geo/G/1 retrial
queue system with Bernoulli vacation and general retrial time, so we have

A(2) = pA(P)A — 2DS1(p + p2lg + GS3(p + p2)]
—z[(p + px) = S1(p + p2)(g + 4S3(p + p2))],

therefore, its probability generating function of system size is follows:

_A(p)A —2)(p+ pz)Si(p + pz2)
L(z) = e 70,0,

where o
_ P+ PADP) —p1—p3

70,0 =
A(p)

)

its result coincides with the result in [6].
(¢c) When « = 0,0 = 1,9 = 1, our model can become a discrete time
Geo/G/l1retrial queue system with general retrial time, then obtain

A(z) = pA(p)(1 = 2)S1(p + pz) — zl(p + pz) — S1(p + p2)].
therefore, its probability generating function of system size is follows:

_A(P)A —2)(p+ px)Si(p + p2)
L(z) = 10 70,0,

where o
P+ pAD) — pi
0=
A(p)
It coincides with the result in [7].

(d) Let ap = 1 in the result of case (c), we have A(p) = 1, mp0 = 1 — p, our
model can become a discrete-time Geo/G/1/00 retrial queue system with random
service policy and general retrial time, its probability generating function of system
size is follows:
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_ (=D =81+ p2)

L
@ S1(p+pz)—z

0,0-
It is the probability generating function of a discrete time Geom/G/1 retrial queue
which coincides with the result in [8].

Remark 2 Letag = 1 (itis (A(p) = 1), the the probability generating function of
the system size is in our model as follows:

IR (2)z — B)SI(R@)] + (1 = 2)RE@)[& + aSH(R(2)]S1(R(z)) 1—6bp —6p
0(p + p2)B(2)S1(R(2)) — zR(2) 1—6p+6p°

L(z) =

when the server is idle, the first customer immediately accepts his service in the orbit.

4 Stochastic Decomposition

In this section, the stochastic decomposition of the probability generating function
of system size can be expressed as follows

70,0 + Po(1, 2)

T[(_)’()-i-‘po(l, 1) B

y 0[R(2)z — B(2)S1(R(2)] + (1 — D R(@)[@ + a2 (R(2)IS1(R(z) 1-— ?P — t?p.
0(p + pz)B(2)S1(R(2)) — zR(2) 1—6p+6p

L(z) =

Theorem 2 The total number of customers in the system L can be decomposed as
the sum of two independent random variables, one of which is the number L' of
customers in the orbit when the server is idle, and the other one is the number L" in
the Geom/G/1/00 queue with the balking customer, the second optional service and
Bernoulli vacation. That is, L = L' + L,

L(z) =L'(z) x L"(2),

where
L'(z) = é[R(Z)Z — B(@)S1(R(2)]+ (1 —2)R(@)[ax + aS2(R(2))]S1(R(2))
a i 6(p+ p2)B(2)S1(R(2)) — zR(2)
o 1—6p—06p
1—6p+6p
L/(Z) _ HO,O + (po(lv Z)

om0+ Po(l, 1)

We note that L" (7) is the probability generating function of the number of customers
in the classical Geo/G/1 queue system, it is consistent with the results of Remark 2.
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5 Conclusion

Based on Geom/G/1 retrial queue with the balking customer and the second optional
service, this paper considers further the Bernoulli vacation strategy and retrial time
following a general distribution. Using the supplementary variable technique to ana-
lyze the Markov chain, we derive the probability generating functions of the system
state distribution.
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Controlled Remote Information
Concentration via GHZ-type States

Jin-wei Wang, Lan Shu, Zhi-wen Mo and Zhi-hua Zhang

Abstract In this paper, we propose two schemes of controlled remote informa-
tion concentration via maximally entangled GHZ-type states and non-maximally
entangled GHZ-type states. The necessary measurements and operations are given
detailedly.

Keywords Remote information concentration * Qubit - Telecloning + GHZ state

1 Introduction

Quantum entangled states play a pivotal role in quantum information theory. Since
Hillery et al. [1] proposed an original scheme of quantum teleportation, in which
Alice transmitted an unknown quantum state to Bob via maximally entangled three-
qubit GHZ states, different schemes have been investigated with differently entangled
states as the channel, such as Bell states [1-3], GHZ states [4—8], W states [9, 10] and
other entangled states [11, 12]. The remote quantum state cloning is the important
one of quantum tasks.

Although we all know that an unknown quantum state can not be perfectly copied
because of the quantum no-cloning theory [13], approximate or probabilistic quantum
cloning has attracted much attention to its potential applications in the quantum
information science [14—16]. For realizing remote quantum cloning, Muro et al.
introduced the concept of telecloning [17, 18], which is the combination of quantum
cloning and quantum teleportation. As the reverse process of telecloning, remote
quantum information concentration was first introduced by Murao and Vedral [17].
From then on, More and more people devote themselves to studying in this field
[19-21]. Recently, Wang and Tang have proposed a scheme for the reversal of ancilla-
free phase-covariant telecloning via W states [22]. Based on this study of Wang, Bai
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et al., have proposed some schemes of remote quantum information concentration
via GHZ-type states [23]. Inspired by those papers, we try to study this reversal of
symmetrical 1 — 2 telecloning scheme by using some GHZ-type states.

This paper is organized as follows. We firstly investigate a scheme of controlled
quantum information concentration by using GHZ-type states as quantum channel
in Sect.2. In Sect.3, we have study a controlled quantum information concentra-
tion scheme via the partially entangled GHZ-type states. Finally, discussions and
conclusions are given in Sect.4.

2 Controlled Information Concentration via Maximally
GHZ-type Entangled States

Let us start to introduce our scheme of controlled information concentration by using
maximally entangled GHZ-type states as the channel. We suppose the information
of an unknown equatorial state

1
W):ﬁ

is diluted to a composite system consisting of qubits Alice and Bob, which was held
by two separate parties. And assume that the two qubits are in a symmetrical cloning

state [¢) arp/

(10) + €|1))

1 )
Vap = E(|00) + €'“|11)) here a € [0, 27). (D
Now our goal is to concentrate the quantum information |vy) 4/ g = %(lOO) +

¢'?[11)) to a single state hold by David, |7)p = %00) + €1, ie., V) arp —>
|v) p- That s to say that we want to recover the equatorial state |y) from the two-qubit
state |[Y)a'p’-

For achieving this quantum task, we choice a four qubits maximally entangled
GHZ-type entangled state |¢) as the channel in our scheme. This maximally entan-
gled GHZ-type states are expressed as

1
— —(]0000) + ]0010) + [0101) + 0111
[¢2) \/§(| )+ )+ | )+ )

+]1000) — [1010) — [1101) + [1111)), 2)

which can be transformed from the GHZ states

1
= —(|0000 1111)). 3
) ﬁ(| )+ [1111)) 3)
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Fig. 1 A quantum circuit to

generate the 4-qubit 1

GHZ-type states
2 D D
3 —{H]
A ——H—

o) ) 02)

As showed in Fig. 1, by implemented two Hadamard operations on the fourth qubit
and the fifth qubit in Eq. 3, the GHZ state |¢¢) is transformed into the following state

) = %g(|0000>+|0010>+|0001)+|0011)+|11oo>—|1110>—|1101>+|1111>).

Through two CNOT gates, we obtain the maximally entangled GHZ state |¢;) in
the end.

Now the total physical system states, which are hold by Alice, Bob, Charlie and
David, can be expressed as follows

[V)arasBcD = V) ap @ 1P)aBCD

= 2(/000000) + [000010) + [000101) + [000111) + [010000) — [010010) —
1010101) +[010111) + €*“[101000) + ¢"“[101010) 4 ¢'“|101101) 4 €'“[101111) +
€'|111000) — €/|111010) — €4|111101) + € [111111) s ap'BCD-

where the qubits A’A belong to Alice, qubits B’B to Bob, and qubits C, D to
Charlie and David respectively.

Firstly, Alice takes a Bell measurement on the two qubits AA’ hold by herself,
and broadcast her outcomes to the others on a classic channel. The total system states
can be rewritten as

) = J%mﬁ)A,Aqooom+|0010>+|0101>+|0111>+e"“|1000>—ei“|101o>—
€4(1101) + €'¢|1111)) _ .
+ J%@—)A,Aqooom +10010) +|0101) +[0111) — ¥ |1000) +€7%|1010) +
€91101) — €'?[1111)) ‘ .
+ ﬁ|w+>A,A(|0000) —10010) —0101) 4 [0111) 44| 1000) 4 €¢|1010) +
e1101) + €/¢|1111))
+ 5519 ) 474(10000) — [0010) — [0101) +[0111) [ 1000) [ 1010) —
€1101) — €'4|1111)),

where |@*) = L2(|00> +(11), |[w*) = %aon +110)).

Meanwhile, Bob also measures her qubits BB’ on the basis {l@F), |¥*)} and
broadcasts her measuring results. Thus, after Bob have finished her measurement,
the initial states of total physical system can be rewritten as
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) = §1@T)(|®F)(00) + [10) — €@]01) + €@[11)) + |®7)(|00) + |10)
+€'901) — e™[11)) + [ T)(J01) + [11) + €'*|00) — €'“|10)) + ¥ ~)(|01) + [11)
— ¢'%100) + ¢/“]10)))

+ £1@7) (|2 +)(100) 4 [10) +€79|01) — €| 11)) + [P ~)(|00) + | 10) — /@[01)
+e'9011)) 4+ [¥F)(01) 4 [ 11) — €'4|00) + €/“[10)) + [¥ ~)(|01) + [11) + €*|00)
—¢'“110)))

+ &) (D F)(100) — [10) +€/“|01) + €| 11)) + P ~)(|00) — [10) — /*[01)
— 1)+ W) (—|01) + [ 11) 4+€/4]00) 4+ €/ [10)) + [¥ ~) (—|01) + | 11) — /%|00)
+ €'9110)))

+ 21w T)(127T)(100) — [10) — €/@[01) — €@|11)) 4| ~) (|00) — [10) +¢7*|01)
+e | 11)) + &) (—|01) +]11) — ?]|00) — 4| 10)) + | & ~)(—|01) 4|1 1) 4+ €¢|00)
+ €'“]10))).

In term of Alice and Bob’s measuring results, David can recover the right quantum
qubit |v) = LZ(|0) + ¢'?|1)) by taking an appropriate Pauli operation on her qubit
D with Charlie’s help. For example, if Alice and Bob get the results |@ ~)|¥ ) after

taking their measurement respectively, the quantum states hold by Charlie and David
will be

[¥)ep = 5(100) —[10) — €/|01) — e*|11)).

If Charlie do not allow David to get this quantum information coming from Alice
and Bob, she do nothing about her qubit C. Otherwise, she need to take a classical
measurement on her qubit C with the basis {0, 1} and broadcast her outcome to the
others via classical channel. Now the quantum states hold in Charlie and David can
be rewritten as follows

[¥)ep = 5(10)(10) — e/[1)) — [1)(|0) + €“[1))).

According to all of the measuring results informed by Alice, Bob and Charlie,
David can recover the quantum information after taking some Pauli operations, which
can be expressed as o9 = [0)(0] + [1)(1]|, oxr = [0){1] + [1){0], oy = —i|0)(1]| +
i|1){0], o, =0){(0] — |1)(1], on the qubit D hold by herself. Let back to the above
instance. If the measuring results of Charlie is |0), David can take the operation o, on
the qubit D to get the qubit |y). On the other hand, if the result of Charlie’ measuring
is | 1), David can also get the qubit |v) by taking the Pauli operation o on the qubit D.

Moreover, when Alice and Bob get any other measuring results, David can also
effectively recover the state |v) after taking some appropriate Pauli operations on the
qubit D hold by herself with the agreement of Charlie.

3 Controlled Information Concentration Via Partially
Entangled GHZ-type States

In this section, we study a quantum information concentration scheme via a partially
entangled GHZ-type sates channel. Just as above scheme, we also suppose that the
symmetrical two-qubit states hold by Alice and Bob are |v) 45’ (Eq. 1), and our goal
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Fig. 2 A quantum circuit to
generate the 5-qubit —
GHZ-type states 1 LH]
2 P D
3 —H—
4
5 _‘—@ | :
|é1) 1) |}3)

is to concentrate this quantum information to a single state |y) = \/LE( |0) 4 €/?[1)).

However, in this scheme, we replace the maximally entangled GHZ-type states |¢2),
which are work as the quantum channel in the first scheme, with a partially entangled
GHZ-type states |¢3). The five-qubit partially entangled GHZ-type states |¢3) are
expressed as

1
NG

+5in6|01001) 4 sind]|01101) + sinf|11001) + sind|11101)

+ c0s0]00010) — cos0|00110) — cos0]10010) + cosH|10110)

cos0101011) — cos0|01111) + cosf|11011) — cosO|11111)). @)

|$3) = —= (sinH]00000) + sinB00100) + 5ind|10000) + sind|10100)

Similar to the quantum states |¢;), this partially entangled GHZ-type states can also
be transformed by a partially entangled GHZ state

|p1) = 5ind]00000) + cosO|11111), 6 € [0, 27). (5)

As showed in Fig.2, by implemented three Hadamard operations on the first
qubit, the third qubit and the fifth qubit in Eq. 5, the five-qubit GHZ-type states |¢1)
is transformed into the following states

1
NG

+5inf|00101) + sinf|10001) + sinf|10101) + cos0|01010) — cosd|01110)

—c0s0|11010) + cosO|11110) — cos6|01011) 4 cos@|01111) + cos@|11011)

— cosO|11111)),
(6)

|<;5’1) = (sin#]00000) + sind|00100) + sind|10000) + sinf|10100) + sind|00001)
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Performing two C-NOT gates onto the second qubit of the |¢)’ in Eq. 6, we obtain
the partially entangled GHZ-type states |¢3) in the end. So that the total system states,
which are hold by Alice, Bob, Charlie and David, can be expressed as the follows

¥)arap'BCc'cp = M arp @ |93)ABC’'CD

= 1(sinf|0000000) + sin#|0000100) + 5inH|0100000) + 5inH|0100100)
+5inf|0001001) + sinf)0001101) + sind|0101001) + sind|0101101)
+ c0s56]0000010) — cos#]0000110) — cos6|0100010) + cos8]|0100110)
—¢0s0]0001011) + cos0]0001111) + cosH|0101011) — cos0|0101111)
+¢1%5inf]1010100) + €'?5inf|1010000) + ¢'%sinf|1110000) + ¢'?sind|1110100)
+€/%5inf|1011001) + €/%5inf|1011101) + €/%5inf|1111001) + €/s5inf|1111101)
+¢1%050]1010010) — /% c0s0]1010110) — €' c0s0|1110010) + e%cosH|1110110)
—€'%0s01011011) +€%c0os0]1011111) + €!%cos|1111011) — e'cosh|1111111)),

where the qubits A’A belong to Alice, qubits B’ B to Bob, qubits C’C to Charlie and qubit
D to David respectively. Now the total quantum system states,which are hold by Alice, Bob,
Charlie and David, can be rewritten as

[Y) = %|<D+)A/A(|<I>+)B/B(sin0|000) + 5inf|100) + cos#|010) — cosB|110)
+e/%%in0]001) + e'%sind|101) + e'%cos0|011) — el%cosf|111))
+|@7) g g (sinf)000) + 5ind|100) + cos#|010) — cosf|110)
— €95inf|001) — €'%5inf|101) — e'%cos0|011) + €' cosf|111))
+|wt) prp(sind|001) 4 sind|101) — cosH|011) + cosO|111)
+¢%5inf|000) + €'s5inf|100) — ¢!%cos0|010) + ¢!%cos6|110))
+|¥ ™) g (sinf|001) 4 sinf|101) — cosB|011) + cosO|111)
— €!5infl000) — ¢!%sinf|100) + €' cos0]010) — e'?cosf]|110)))

+ %ICD_)A/A(|¢+)B/B(sin9|000) + 5inf)100) 4 cos0|010) — cos@]110)
— €'%infl001) — ¢'%sinf|101) — e'cosh|011) + e cosh|111))

—+|® ) g (sind|000) + sind|100) + cosH|010) — cosH|110)
+vel%sinf|001) + €95inf|101) + ¢'%cosb|011) — e'cosh|111))
+ IlI/"")B/B(sin()IOOl) + 5inf]101) — cosB|011) + cosB|111)
—el%5in0]000) — €'%sinf|100) + €%cos0]010) — e!%cosh|110))
+ |¥ ") g g (sind|001) + sinB|101) — cosf|011) + cosO|111)
+ei”sin9|000) + ei”sin6'|100) - ei”COSGIOIO) + ei“cos0|110)))

+ é|11/+)A/A(|¢>+)B/B(sin0|000> + 5in6|100) — cosH]|010) + cosf|110)
+¢'%%in0|001) + €'%sinf|101) — €%cos0|011) + e'%cosh|111))
+|®7) pr g (sinB]000) + sinf|100) — cosf|010) + cosd|110)

— €'infl001) — ¢'%sinf|101) + e'cosh|011) — e'cosh|111))
+ @) p(sinB|001) + sinf|101) — cosf|111) + cosh|011)
+¢%5inf]000) + ¢'s5inf|100) + ¢'%cos0]010) — e!%cosH|110))
+ | 7)) g g (sind|001) + sinf|101) — cosf|111) + cosd|011)

— €!95inf|000) — ¢'5inf|100) — ¢'c0s0|010) + €%cos6]110)))

+ %|lI/_)A/A(|<D+)B/B(sin0|000> + 5inf]100) — cosA|010) + cosf|110)
— €'%5inBl001) — ¢'%sinf|101) + €'cosh|011) — e cosh|111))
+|@7) p g (sin0]000) + sinf|100) — cosO|010) + cosd|110)
+¢'%5inf|001) + '¥s5inf|101) — '%c0s6|011) + e!%cosh|111))

+ W) g p(sinB|001) + sinf|101) — cosh|111) + cosf|011)
— €'%infl000) — ¢'%sinf|100) — €'%c0s0]010) + €%cosh]|110))
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+ ¥ 7) g p(sind|001) + sind[101) — cosd|111) + cosf|011)
+ €'%5in6)000) + e'%sinf|100) + e'%cos6|010) — e'%cosf|110))).

Just as the first scheme, Alice takes a Bell measurement on her qubits A’A and Bob takes
a bell measurement on her qubits B’ B respectively. Then, they all broadcast their measuring
results on a classical channel. Then Charlie, as the controller, will do nothing on her qubits
if she can not allow David to recover the quantum information coming from Alice and Bob.
Otherwise she must take a classical measurement on the qubits C’C hold by herself under
the basis {00, 01, 10, 11} one by one and inform David of her measuring results. Taking some
appropriate Pauli operations on the qubit D, David can get the qubit |y) = % (]0) + eial 1)).

For example, if the measuring results of Alice, Bob and Charlie are [ ™) 44 |® ) g g101)
the qubit states hold in David will be

) p = %(cosmn — ¢l%c0s0|0) = %(m —€|0)).

Then, by taking two Pauli operations 0,0 on the qubit D, David can recover the qubit|~)
coming from Alice and Bob. That is |y) = o;0x|¢) p. Furthermore, if Alice, Bob and Charlie
get other result when they have taken their measured on the qubit hold by themselves, David
can recover the quantum information |y) by taking some appropriate Pauli operations.

4 Conclusion

In this work, we firstly introduce a optimal remote quantum information concentration scheme
by using maximally entangled GHZ-type states, and then extend the scheme to the case with a
five qubits partially entangled GHZ-type state as the channel. Contrast to other schemes [23],
All of the two schemes are implemented deterministically and need no auxiliary qubit in the
last step.
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A New Precipitable Water Vapor STARMA
Model Based on Newton’s Method

Zhihui Li and Zhihong Miao

Abstract The STARMA (space-time autoregressive moving average) model is
introduced in 2002-2008 monthly PWV fitting and forecast. To enhance the model’s
ability of dealing with satellite remote sensing raster data, this article extends the
parameter estimation process in the STARMA model by augmenting the Newton’s
method to high dimensions for solving system of nonlinear equations, and the process
of parameter estimation is elaborated. This operation is validated by real data exper-
iment results. The confirmation results of this method reveals that the STARMA
model has good accuracy in both fitting and predicting.

Keywords Space-time series modeling + STARMA model + Newton’s method -
Precipitable water vapour (PWV)

1 Introduction

Everything is in constant movement and development, and during the process of
exploring the regularity of a variety of real world phenomena, we often find that a
lot of observations and measurements have closely relationship with last moment.
And there are a lot of observations change synchronized at neighboring regions. For
example, the wheat harvest of a certain country during this year can be affected by
the harvest during the previous year at the same place and at the neighboring country.

Therefore, STARMA (Space-Time Autoregressive Moving Average) model has
attracted much attention [1-15]. STARMA model has three STAR models charac-
terized by linear dependencies in both space and time.
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Precipitable water vapour (PWV) [16] is defined as the equivalent to the height
of liquid precipitation that would result from condensing all the water vapour in
a specified column of atmosphere from the surface to the top of the atmosphere,
which is a critical indicator of atmospheric water vapor and water resource of the
atmosphere. This paper mainly focuses on parameter estimation process of STARMA
model for PWV spatial and temporal trend prediction.

Crespo [17] tried to give a short-term forecast for satellite images with STAR
model firstly. But he didn’t refer to how to solve the parameter estimation nonlinear
in STARMA model. Hence, the Newton’s method is proposed in this paper in order
to apply STARMA model in satellite images sequence prediction.

2 STARMA Model

STARMA model is the extension of ARMA model into spatial-temporal domain.
Suppose Z;; is the observation of the space-time random variable at site i (i =
1,2,..., N) and time t. Let Z; be a multivariate time series of N components. w®O
has elements w") (i, j) weighting sequence of N x N spatial contiguity matrices.
With elements w (i, j) > 0 if locations i and j are contiguous at spatial lag /, and w
@i, j) = 0 elsewhere.

Then the general form of the STARMA model is defined as [18]:

p r q K
Z = Z Z puW Pz, — Z Z 0w De,_ + ¢, (1)

k=11=0 k=1 1=0

where p and r are the maximum autoregressive temporal and spatial orders, respec-
tively; g and s are the maximum moving average temporal and spatial orders, respec-
tively. ¢y and 6; are parameters of the autoregressive and moving average at tem-
poral lag kand spatial lag /, respectively, and &; = [e1 ¢, €24, - .., €N.¢]’ is normally
independently random noise vector at time ¢.

The STARMA model has two special subclasses. When models that contain no
autoregressive term (p = 0) are considered as Space Time Moving Average (STMA)
model. When g = 0 the class is considered as Space Time Auto Regressive (STAR)
model.

3 Parameter Estimation Based on Extensive Newton’s
Iteration Method

Basically, the estimation process of parameters ¢y; and 6x; from the STARMA model
can be conducted by minimizing the residual sum of squares, also known as maximum
likelihood method:
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where T is the total number of observations in time, estimation of the parameters
ﬁ = [élo, qgll, el qu)“ élO, éll, - éqm]/ are what we want to be determined. This
is a quadratic nonlinear optimization problem.

For linear problem, maximum likelihood estimation can be solved with lin-
ear estimation method. For example, in the estimation process of STAR model,
all of the observations can be simplified into a linear model Z = X® + E.
Then the best linear unbiased estimation can be calculated by o = X'X)"'x'z,
where Z = [Z1, Z3, ..., Z7] represents the observations, model parameters ® =
[10, P11, 920, ¢21]1, random error terms E = [g1, &2, ..., e7]’, and X is the max
matrix.

However, the STMA model and STARMA model are nonlinear, so the above-
mentioned linear estimation method may not be useful. The error terms ¢&; is white
noise, therefore its average comes to zero and variance matrix comes to o21. The like-
lihood function for nonlinear spatial-temporal model can be acquired from standard
normal joint distribution of the error terms [19]:

L(elg,0,0%) = Qm) TNPIo? TN exp(—5Le'Te)

_ _ 5 (3)
= @) V2102 TTN 2 exp(—58).
Its logarithmic form of above equation:
InL =—(TN/2)In(27) — (TN/2)In(6?) — (1/262)s(B), 4)

where s(ﬁ) is the squared sum of error terms. If we want to get the maximum of
log-likelihood function, that is to get the minimum of s ( /§ ). Then the parameters ¢, 6
and o2 can be obtained by computing the partial derivative vector of above equation
(0L/3¢p =0,0L/36 =0,9L/dc> = 0).

Actually the likelihood equations constitute by p + ¢ + 1 transcendental equa-
tions [20], so we can only get analytical solutions of these equations. But the analyt-
ical solutions is obviously very difficult in spatial-temporal model, especially when
we predict the spatial-temporal trend of image or picture. Therefore, in this article
we consider expanding the Newton iteration method into high dimensions in order
to obtain the approximate solutions.

When exact solutions become very difficult, or sometimes impossible, Newton’s
method is a very simple and effective method to solving equations with approximate
solutions.

The spatial-temporal extension of Newton’s method has four steps.

(1) First of all, according to the linear parameter estimation method, we get the
partial correlation coefficient 7jz; from high order STAR model. The process can
solve with Yule-Walker function,



278 Z.Liand Z. Miao
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k=1 1=0

where u is the maximum temporal lag, v is the maximum spatial, and they are all
higher than defined from spatial-temporal autocorrelation function (STACF) and
spatial-temporal partial correlation function (STPACF). Z; means the sample at
time ¢.

(2) After we get the parameter 7j;, we can use the following equation to estimate &/

u v
ef = ZF — Z Z uwzr . (6)

k=1 1=0

(3) For the time being, we introduce linear estimation method to obtain & which
represents the initial value of 8:

P Ak my

$(&) = Z Zi =D > duwz,_ k+zzekzw<’>e, NG

t=m+1 k=1 1=0 k=11=0

then:
a=X'x)"'x'qQ, (8)

where Q@ = [Zy+1, Zims2, ..., Z7) the value of m is a very important factor in
deciding whether matrix X is reversible, and t = m+1, ..., T. According to the least
square method, X can be expressed as:

Zm W(I)Z W(V)Z mel"‘W(r)mel
Zmi1 W(I)Z RE W()Zm+l Zm W(r)Z

ZT 1w<‘>zr E W“)ZT IZT 2 W<f>ZT 2

A

Sm W(l)g‘m . W(}’)g\m ém—l . W(r)gm—l ce
" wz et - . W )8m+1 gm R AF

71 W(1)8T |- W(r)gT | Ep—n o WOgp e

(4) Based on Newton’s iterative method, A can be approximately reach from &.

According to Newton’s method, Gradient operator V f (x©) and Laplace operator
V2 fx (k)) should be calculated respectively. That means we need to calculate Vs (x)
and V2s(x) in STARMA model.
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Suppose Fy(x) = Z—>0_ S duw Pz, 4+

Vs(x) can be expressed as:

Vs(x)

where x representsB = [ém, qASU, ...

vector to show Vs (x):

Vs(x) =

T
oF
= 22 FIT(X)E’

t=1

, Pprs 010,011, -+ - s

T
T,. oF
2; FI 02t
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72‘0 ékl W(l)at,k, then

€))

O4m]’. Then we use column

, (10)

where the upper half have p(A + 1) elements, and the lower half have g(m + 1)
elements. Suppose J;; = g—g, then VZ2s(x) could be written as:

st(x) =

T
2> Jiodig | 2

t=1

T T
2 z Jt,¢Jl,¢ | 2 Z Jt,,p.][,g
=1 =1

T
=1

> Jiodie

Y

After several iterations, we can terminate the iteration process when x&+D k| <
. At this moment, x4 is the approximate optimal solution.
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4 Case Study on PWV STARMA Model

In this section, a case study on PWV STARMA model is presented to demonstrate
the feasibility and effectiveness of the proposed approach. The details are described
below, beginning with PWV data collection.

4.1 PWYV Data Collection

The original data of this section come from MODIS MODOS8 Gridded Atmospheric
Product (https://wist.echo.nasa.gov). Its spatial resolution is 1km with daily, ten
days and monthly composite data. Average monthly PWV data was used in this case
(Fig. 1).

A total number of 84 views of MODIS monthly data were chosen from 2002 to
2008. Where the first 72 were used to construct the model, and the last 12 monthly
data were specially used to predict. Figure 2 shows the monthly PWYV data in 2007.

4.2 Model Construction

The main point of this article is to introduce the estimation method, so the compu-
tation of STACF and STPACEF could refer to Pfeifer [7, 8].

According to the STACF and STPACF in Tables 1 and 2, the model can be defined
into STARMA (2,2). Thatmeans p = 2and g = 2. So the STARMA model is defined
as:

Fig. 1 MODO08 PWYV distribution in China


https://wist.echo.nasa.gov
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(a)

(b)

(c)
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Fig. 2 Monthly PWYV data in 2007

Table 1 Spatial-temporal autocorrelation functions for STARMA model

Spatial lag (h) 0 1 2
Temporal lag (k)

1 —0.1809 -0.1603 —-0.1615
2 -0.3167 -0.2794 —0.2847
3 -0.0794 -0.0735 -0.0752
4 0.0038 0.00253 0.02064
5 -0.0015 -0.0013 -0.0013
6 0.0012 0.0016 0.0095
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Table 2 Spatial-temporal partial autocorrelation functions for STARMA model

Spatial lag (h) 0 1 2
Temporal lag (k)

1 -0.5694 -0.1201 0.1142
2 -0.7715 -0.1249 0.0864
3 -0.0930 -0.0246 0.0882
4 0.0726 —-0.0471 0.0717
5 0.0411 -0.0454 —-0.0404
6 -0.0305 -0.0407 0.0249

ZO =gt — 1) —euWPZ@t — 1) —puWPZ(t - 1)
—020Z(t =2) — WV Z(t —2) — WP Z(1 - 2)
+e(t) —010et — 1) — 0 WDet — 1) — 9, WPe(r — 1) (12)
— 0206t —2) — O WDPe(t —2) — 0 WPe(r —2)
There are 12 parameters need to be specified, ,3 = [leo, qgu, ...,quz, élo, éu,

e, ézz]/.
Then extensive Newton’s iteration method is applied in the estimation process.

4.3 Model Validation

The results of these 12 parameters and their evaluation are shown in Table 3. In order
to make the model more simplified and effective, significant tests are required. If a

Table 3 STARMA parameters estimation and significant tests

Parameter estimation | Value T test P value
@10 -2.6578 41.3269 <0.0001
11 -0.2337 2.3058 <0.01
Q12 0.0989 1.3866 0.085
©20 -1.3542 38.4497 <0.0001
1 -0.3133 10.0545 <0.0001
7553 -0.095 2.3757 <0.01
610 0.0807 0.4954 0.311
011 0.0316 0.2099 0.418
012 0.0095 0.0870 0.466
620 0.0889 0.9494 0.173
021 -0.0324 0.3224 0.374
022 0.0245 0.3126 0.378
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Fig. 3 PWYV fitting results from STARMA model in June, 2003
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Fig. 4 PWYV fitting results from STARMA model in November, 2003

parameter is not significant, it means that the independent variable corresponding to
this parameter is not obvious, thus the variable can be deleted from the model.

When P is 0.05, there is 95 % probability to refuse the assumption that the variable
isuncorrelated. In statistics, generally P < 0.05 was considered significantly efficient,
and P < 0.01 was considered very significant.

From Table 3, it is obviously found that only some parameters are significantly
efficient, which are @19, @11, ©12, ©20, ¥21, ¢22. These parameters 619, 611, 612, 620,
621, 627 are not significant, so they can be deleted from the model.

Therefore, this model could be further optimized into STAR(2, 0).
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Fig. 5 PWYV prediction results from STARMA model in June, 2008
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Fig. 6 PWYV prediction results from STARMA model in December, 2008

Figures 3 and 4 show the fitting results of PWV calculated by model constructed
with the latest model in June and November, 2003, respectively. And Figs. 5 and
6 show the prediction results of PWV in June and December, 2008, respectively.
The red line represents the computing results by STARMA model, and the blue line
represents the real data. For comparison, the pixel value of the image was arranged
in a row on the horizontal line from O to 200 which represents one image with 10*20
grids. As is shown in these results, the trend in STARMA model is similar to real
data.
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4.4 Evaluation of the Model Performance

285

The correlation coefficient (R), root mean square error (RMSE), mean relative error
(MRE) and the mean absolute error (MAE) were implemented to evaluate the overall
performance of this model. Table 4 shows the fitting accuracy in 2003. Table 5 shows

the prediction accuracy in 2008.

As shown in Tables 4 and 5, the correlation coefficient is very high. Hence, the
model could be considered as an efficient and robust method for predicting PWV.
And the parameters estimation process is successful.

Table 4 Fitting accuracy of STARMA model

Month R RMSE (cm) MRE MAE (cm)
Jan, 2003 0.9806 0.1803 0.5117 0.1624
Feb, 2003 0.9950 0.1252 0.2714 0.1114
Mar, 2003 0.9861 0.2043 0.3632 0.1756
Apr, 2003 0.9950 0.1055 0.0782 0.0790
May, 2003 0.9971 0.1876 0.0878 0.1459
Jun, 2003 0.9943 0.4108 0.1778 0.3611
Jul, 2003 0.9611 0.6577 0.1454 0.4790
Aug, 2003 0.9786 0.3774 0.0899 0.4790
Sep, 2003 0.9948 0.4743 0.1777 0.3806
Oct, 2003 0.9888 0.2391 0.1658 0.1827
Nov, 2003 0.9678 0.2938 0.4961 0.2581
Dec, 2003 0.9900 0.1921 0.2691 0.1451
Table 5 Prediction accuracy of STARMA model
Month R RMSE (cm) MRE MAE (cm)
Jan, 2008 0.9763 0.1394 0.351 0.1183
Feb, 2008 0.9905 0.3074 0.0131 0.2789
Mar, 2008 0.9919 0.0776 0.0796 0.0527
Apr, 2008 0.9964 0.0647 0.0431 0.0414
May, 2008 0.9932 0.2481 0.1656 0.2135
Jun, 2008 0.9798 0.4715 0.1624 0.3764
Jul, 2008 0.989 0.6694 0.148 0.5126
Aug, 2008 0.9861 0.369 0.1028 0.2664
Sep, 2008 0.9837 0.2973 0.1019 0.2258
Oct, 2008 0.9857 0.2017 0.17 0.158
Nov, 2008 0.9875 0.441 0.3144 0.2808
Dec, 2008 0.936 0.1121 0.3021 0.0937




286 Z.Liand Z. Miao

5 Conclusion

The STARMA model has attracted wide attention in prediction applications. To
optimize overall performance, the estimation process must be very critical. In the past,
the estimation process is very difficult to solve and sometimes could not be solved at
all. In this paper, a new approach based on Newton’s method is put forward to give out
the approximate solutions. The proposed approach was illustrated by a case study on
monthly average PWV from 2002 to 2008. The confirmation results of this method
revealed that the STARMA model has good accuracy in both fitting and predicting.
From the value of RMSE, MRE and MAE, there are a few differences between the
STARMA model and the real data. For example, though the correlation coefficient
is very high in June and July, 2008, the RMSE and MAE are not reasonable. This is
mainly due to the great changes of PWV in summer. That is to say, PWV STARMA
model has lower accuracy in summer than in winter. Consequently, further study will
be carried out to improve the performance caused by the seasonal differences.
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Comparison of Candidate-Well Selection
Mathematical Models for Hydraulic
Fracturing

Ting Yu, Xiang-jun Xie, Ling-na Li and Wen-bin Wu

Abstract The selection of a target well and formation is considered as the first step
in hydraulic fracturing (HF) and naturally regarded as a critical decision-making
throughout process of HF treatment. The candidate-well selection process for HF is
taken as a complex, nonlinear and uncertainty system. Modern mathematical meth-
ods, such as Artificial Intelligence (Al), offer the opportunities to examine the sample
data, clarify the relationships among effect factors, in other ways to maximize the
concealed potential. However, the performance of these methods is not specified in
the certain application of candidate-well selection in gas field. This paper aims to pro-
vide a comparison of three candidate-well selection techniques, including BP-ANN,
GA-based FNN, and SVM, as well as make clear the most effective one among them
to pick a target well for HF. The application result of X gas field shows that BP-ANN
is not as effective as GA-based FNN. Despite the advantage of more simple and
intuitive evaluation, SVM has its own limitation in the uncertain system.

Keywords Hydraulic fracturing - Candidate-well selection - Nonlinear and uncer-
tainty system + BP-ANN FNN - SVM

1 Introduction

Due to the continuous growth in hydrocarbons demand, the oil and gas industry
has spared no efforts to increase production in oil and gas reservoirs. Hydraulic
fracturing (HF) is not only applied to enhance ultimate recovery for these wells
with lower production in conventional reservoirs, but also to obtain production for
these wells in unconventional reservoirs, such as tight gas, shale gas, etc. [1, 2].
For these reasons, HF is one of the most common completion operations in oil and
gas wells today [2, 3].
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Choosing a target well and formation is considered as the first stage in HF and of
course regarded as a critical decision-making in the entire process of HF treatment.
However, the oilfield operation shows that the candidate-well selection is not direct
process and up to now, there has not been a standard method for universally selecting
candidate wells through different geological areas. Accurate candidate-well selection
for HF treatment not only saves money and time but also eliminates possible failures
for HF treatment, so it is very important.

The methods, applied in HF candidate-well selection design, in the past two
decades, can be divided into two parts, containing: (1) conventional techniques; and
(2) advanced methods. The former mainly deals with engineering, geological, etc.
aspects in decision making process. The later mainly fill the gap for classification
and manipulation of the parameters and mainly employs Artificial Intelligence (AI)
methods that offers the opportunities to examine the data, illustrate their relation-
ships, and in other ways to maximize the concealed potential [4]. The candidate-well
selecting is a nonlinear and uncertain system, for the data set used is natural ambigu-
ous and imprecise. So the advanced methods have get more attention in recent years in
the candidate-well selection design. There are many advanced technologies, such as
Artificial Neural Network (ANN) [5, 6], Fuzzy Neural Network (FNN) [7], Support
Vector Machine (SVM) [8], Pattern Recognition (PR) [9], Gray Relative Analysis
(GRA) [10, 11], Fuzzy Method (FM) [12-14], etc. However, the performance of
these methods is not specified in the certain application of candidate-well selection
for HF in gas field. This paper aims to provide a comparison of three candidate-well
selection techniques, including BP-ANN, FNN, and SVM, as well as make clear the
most effective one among these methods when coping with this problem.

The three models all allow a prediction for production response after fracturing
treatment on the basis of historical measured data of fractured wells to be designed
in a fast manner, offering an effective method to evaluate and select fractured wells
for fracturing treatment.

In this paper, three-layer BP-ANN of candidate-well selection is build due to its
complexity and strong nonlinear characteristic. FNN integrates the fuzzy logic with
neural network, which not only has the advantages of knowledge representation and
fuzzy reasoning, as well as the good self-learning capacity of neural network, but
also the ability of adjusting the rules and the parameters of controller according to
the variation for control subject parameters and the environment. Genetic algorithm
(GA)-based identification method is used to specify FNN model parameters such that
the defined error function is minimized. It is a global optimization algorithm with
good robust stability, conducing to better performance compared to others, especially
for the nonlinear systems like FNN. Economic, observation and control technology,
etc., limit the sample data scale obtained from geological data, logging data and
fracturing treatment materials. Support Vector Machine (SVM) is a powerful tool to
deal with this situation with small sample, providing a way to determine the grade
of potential production of gas wells according to the post-production standard.
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2 Three Advanced Methods of Selecting Candidate Wells

The aim of this section is to provide detailed description of three candidate-well
selection designs, including BP-ANN, FNN, and SVM.

2.1 Artificial Neural Network

Artificial neural networks (ANN) have been widely used in many application areas,
such as forecast, pattern recognition and intelligent control, particularly for back-
propagation artificial neural network (BP-ANN), which is a multi-layer perceptron
(MLP) ANN with the error back-propagation training algorithm. The BP-ANN con-
sists of one input layer, one or more hidden layers and one output layer. A set of
nodes compose each layer. Each node in each layer receives one input signal from all
nodes of its previous layer and sends one output signal to all nodes in its next layer,
but the nodes of the same layer are unconnected. Information from the input layer is
multiplied by the corresponding weights which show the strength of that input during
transmitting to the hidden layer, and one input result of each node in the hidden layer
is then computed through an activation function, as the input information in the next
layer. After that, information is processed from the upper layer to the lower layer in
a similar way. The output result goes into an activation function [15].

In our study, three-layer BP-ANN of candidate-well selection for HF is build.
The input layer consists of all the information that influence the effect of post-
fracture response. Its node number is equal to the dimension of feature parameters of
candidate-well selection obtained by the feature extraction technology. The following
is determination the node number of the output layer, that is, the dimension of output
vector, which depends on how to set the target output. Test production, reflecting
post-fracture response very clearly, is set as target output. A schematic description
of proposed ANN is given in Fig. 1.

In order to develop an appropriate BP-ANN of candidate-well selection, two main
works have to be done. First, a good network structure, the number of nodes in the
hidden layer and activation function for each layer, should be specified. The second
task is to use the error back-propagation training algorithm to modify parameters of
the network (i.e. connective weights and thresholds) to make total error smaller than
a given value [16].

2.2 Fuzzy Neural Network

Compared with ANN, fuzzy neural network (FNN) is capable of the description and
processing of uncertain information, expert knowledge expression, as well as lower
requirement for the sample, and it is also well suited for the complex, uncertain,
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Fig. 1 Structure of three-layer BP-ANN
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and nonlinear systems, like candidate-well selection for HF [17]. In this paper, a
candidate-well selection model based on FNN is designed. As is shown in Fig. 2, its
structure has five layers and the discussion of each layer is as below [18].

Layer 1 (Input Layer): The nodes in this layer, like ANN, represent all the para-
meters (x;, i = 1, ..., p) that influence the effect of post-fracture response.

Layer 2 (Fuzzification Layer): All parameters are mapped to the fuzzy set in this
layers. Membership function for each fuzzy set is in the form of a Gaussian function:
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where /; is the number of fuzzy partitions of x;, mlj and O’ij are the Gaussian function’s
center and width respectively.

Layer 3 (Rule Layer): The number of nodes equals the total IF-THEN fuzzy rules
that describe the input-output relationship of FNN. Each rule has the following form:

Rulej : IF x; isA{,...,xpisA{,

THEN y/ is¢j + c]xi + -+ chxp @)

Product or minimum inference is used to obtain the fitness of each rule (uj ), that
is the weight of each rule. The calculation is as follows:

w = Tu! )oru/ = minig<pu! (x) (G =1,....1), 3)

i=1

where j(j <[]/, ;) is the total rules.
Layer 4 (Normalized Layer): Node number is equal to that in the Rule Layer. This
layer can realize normalized calculation which is represented as:

. u;
W= ——L—. (4)
I
21t

Layer 5 (Output Layer): The function of this layer is to get the final output by
defuzzification. As designed in ANN, test production is set as target output. The final
output can then be calculated according to the following formula:

! !
y:Zszyj=Zﬁj (c(j)—l—c{xl—i-'--—i-cf,xp). )
j=1 j=1

After the structure construction of FNN, the parameter identification method must
be determined. All parameters contain two parts: the parameters ml] and ai] of these

membership functions, as well as consequent coefficients cf, of these rules.

Given an input-output training pair (x*, y¥)(k = 1,..., N), we wish to design a
method for minimization of the following error function:
1 2
=5l () -] ®
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where f(x*) and y* are defined as the predicted and measured output, respectively.
In this paper, genetic algorithm (GA)-based identification method is established to

specify mlj s al.] and cfy such that error function is minimized [19].

2.3 Support Vector Machine

Economic, observation and control technology, etc. aspects, limit the sample data
scale obtained from geological data, logging data and fracturing treatment materi-
als. Support Vector Machine (SVM) is a kind of new, complete and well-formed
machine learning theory and method on the basis of statistical learning theory, and
as a powerful tool for pattern recognition against the limited sample. In this paper,
SVM was used to determine the grade of potential production of gas well according
to the post-production standard.

The real issue of SVM is to solve quadratic programming problem by the aid of
Lagrange multipliers, thereby finding the optimum separating hyperplane, which is
able to classify data points as much as possible and to separate them again into two
classification points as much as possible [20].

Given several input-output training sets(xi , yi)(i = 1,..., N), here, the input
vector x' € R", the desired output y/ € {41, —1} (+1 and —1 are two kinds of
class identifiers). The algorithm tries to find a decision function, classifying data as
accurately as possible. The original problem is described as follows [21]:

1 N
min swiw+C 3L &

sty wixi+b)>1-¢, & >0

(7

where C denotes the penalty parameter between the error term and the margin of
hyperplane which balances margin maximization with classification violation. When
we are trying to solve original problem by Lagrange multipliers, the dual form is
obtained as the following form:

min %OlTAOl —eTa
sit. 0<a; <C, (8)
yToc=O,
where o = (a,....,an) e = (L,..., DT,y = (y!, ..., y") and A;; = y'y/

K (xi ,x) ) , o; are all zeros except for those training patterns close to these separating
planes which are called support vectors. A;; is the kernel function which converts
nonlinear input data sets into high dimensional linear feature space. According to
the Lagrange multipliers, the decision function is specified by
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N
f(x):sgn{Za;yiK(xi,x)+b}. 9

i=1

Each step of support vector machine classification algorithm is description in
detail as follows:

Stepl: choice the right kind of kernel function;

Step2: solve the optimization function and obtain support vector, namely, relevant
Lagrange operators;

Step3: write down the function of optimum separating hyperplane;

Step4: according to the value of sign function, output the grade.

3 Methods Comparison and Results

This section is to application of the above methods, including BP-ANN, FNN based
GA, as well as SVM to construct the complex, uncertain, and non-linear model
candidate-well selection for HF in X gas field. We then compare the results of the
three different methods and display the overall results.

3.1 Artificial Neural Network Forecaster

With BP-ANN, we model a forecaster of the gas production in X gas field, then
verify this model through 10 others gas wells of this field, after that, use the average
error function AE = ZlNz 1 ] Dpredicted — pmewured| /N to evaluate the performance
of BP-ANN-based candidate-well selection for HF model, in which the hidden layer
number as100, learning rate as 0.2, and the others as defaults. We calculate the average
error AE = 0.0226, which is dimensionless value (dimensional value as 0.7746).
The predicted outputs of the BP-ANN-based candidate-well selection forecaster,
measured output, and fitting precision are given in Fig. 3. and Table 1.

3.2 Fuzzy Neural Network Forecaster

When we use 12 Gaussian membership functions for FNN candidate-well selection
for HF forecaster, the total identification parameters are 224 by GA, including 72
means and standard deviations of Gaussian membership functions, respectively, as
well as 84 consequent coefficients. The final results based on GA-FNN forecaster
are given in Fig.4. and Table 2.
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Fig. 3 Comparison of predicted and measured results of BP-ANN forecaster

Table 1 Outputs and error of the BP-ANN forecaster

Well H SDT CN Sg P C Om 0y Atol
number

1 25.6 85 13 84 13 437 1292 1295 |0.03
2 14.2 70 16 42 28 409 5.06 4.80 |0.26
3 14.8 69 15 50 23 421 4.4 5.95 1.55
4 30 65 13 49 21 365 3.68 4.17 10.49
5 40 77 13 60 18 402 12.84 | 12.30 |0.54
6 25 72 12.5 48 21 428 4.45 241 | 2.04
7 13.2 71 13.4 54 20 441 3.89 294 1095
8 15.8 66 11 72.5 13 519 13 0.36 | 0.94
9 36 76 13 59 18 380 11.93 12.56 | 0.63
10 24.5 66 12 44 21 433 2.29 1.99 10.30

Note

H = Gas bearing net pay, m; SDT = Acoustic travel time, pus/ft

CN = Compensated neutron, PU; S, = Gas saturation, %

P = Pad fluid proportion, that is the ratio of pad fluid in total fracturing fluid, %

C = Average of proppant concentration, Kg/m?3

Oy =Measured production, 10* m3/d; 0, = Predicted production, 10* m®/d

Atol = The absolute error between measured production and prediction production, 10* m3/d

3.3 Support Vector Machine Classifier

We use SVM of four classifiers to construct the candidate-well selection for HF
design according to post-production standard obtained by mathematical statistics
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Fig.4 Comparison of predicted and measured results of GA-FNN forecaster according to the value

of average error AE, BP-ANN cannot compare with GA-FNN in the application of candidate-well
selection for HF: Complex, uncertain and nonlinear system

Table 2 Outputs and error of the GA-FNN forecaster

Well H SDT CN S P C Om 0y Atol
number

1 25.6 85 13 84 13 437 1292 | 1244 048
2 14.2 70 16 42 28 409 5.06 594 10.88
3 14.8 69 15 50 23 421 44 394 046
4 30 65 13 49 21 365 3.68 395 |0.27
5 40 77 13 60 18 402 12.84 | 119 0.94
6 25 72 12.5 48 21 428 445 497 ]0.52
7 13.2 71 134 54 20 441 3.89 3.71 0.18
8 15.8 66 11 72.5 13 519 13 22 0.9
9 36 76 13 59 18 380 11.93 12.2 0.27
10 24.5 66 12 44 21 433 2.29 355 |1.26

analysis and expert advice, in which the inputs of SVM classifier are the same as BP-
ANN and GA-FNN forester, and the output is the evaluation grade. The higher grade
the gas well calculated, the higher potential production it has. The final classification
results of 10 wells are given in Table 3.

SVM classifier method can estimate the potential production of candidate frac-
turing wells simply and intuitively. Post-production standard of candidate fracturing
wells is characterized by their measured production, so from this aspect and the
results of Table 3, we get that: the evaluation is not ideal, and grades of Well 3, 7 and
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Table 3 Output grades of SVM classifier
‘Well number 2 3 4 10
Grade 1 11 1 11 1 11 v I 11 I

—_
)]
@)
]
]
O

9 are unreasonable due to the unmatched between classification grade obtained by
SVM and measured production.

3.4 Results

GA-based FNN has an advantage over BP-ANN forecaster when designing the com-
plex, uncertain and nonlinear candidate-well selection for HF system. SVM classifier
method is more direct and compact, but the final classification results shows that it
cannot deal with fuzzy information well because all kinds of uncertainties existed
in the measured data can not characterize a well into a certain category. GA-based
FNN introduces membership function to process the sample data which makes up
for lack of ability to handle the uncertain information for SVM.

4 Conclusion

BP-ANN cannot compare with GA-based FNN in the application of candidate-well
selection for HF in gas field: complex, uncertain and nonlinear system. Despite the
advantage of more simple and intuitive evaluation, SVM has its own limitation in
the uncertain system.

In the future, we wish to make a much more comprehensive analysis for all existed
advanced candidate-well selection methods.

Acknowledgments The authors would like to acknowledge the support of the students’ extracurric-
ular experiment project (No. KSZ14154) “Evaluation index system construction of candidate-well
selection for hydraulic fracturing based on fuzzy methods” which sponsored by Southwest Petro-
leum University fund.
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Analysis of Graphic Method to Fuzzy Linear
Programming and Its Application
in Science Diet

Bing-Yuan Cao, Shu-Quan Lu, Pei-Hua Wang and Gen-Tao Zhang

Abstract In this paper, a simple graphic method is mentioned and then used to solve
the problem of two-dimensional fuzzy linear programming. Besides, we discuss the
set of feasible solution constituted by constraint function. Based on this analysis,
some regularities are obtained for an optimal solution. At last, an applied model that
can be solved with the proposed method is found in science diet and health care.

Keywords Fuzzy LP - Fuzzy graphic method - Vegetarian problems * Science diet *
Application

1 Introduction

In some practical problems, the objective function and constraint conditions are

often not absolute. It has some elasticity. Especially, the two dimensional fuzzy

linear programming model can be considered as follows.
M = c1x1 + cax2.

anxi +aipxy <(or>)by,

(1.1)

S.t. § a21X1 + anxy <(or >)b,,

x1>0,x >0,

B.-Y. Cao - S.-Q. Lu - G.-T. Zhang (X))

School of Mathematics and Information Sciences, Guangzhou University Key Laboratory
of Mathematics and Interdisciplinary Sciences of Guangdong Higher Education Institutes
(Guangzhou University), Guangzhou 510006, China

e-mail: 948980702@qq.com

P.-H. Wang
Guangzhou Vocational College of Science and Technology, Guangzhou 510550, China

B.-Y. Cao
Guangzhou University, Guangzhou 510550, China

© Springer International Publishing Switzerland 2016 301
B.-Y. Cao et al. (eds.), Fuzzy Systems & Operations Research

and Management, Advances in Intelligent Systems and Computing 367,

DOI 10.1007/978-3-319-19105-8_28



302 B.-Y. Cao et al.

the symbol of “ < or *“>" indicates that some approximately equal to or less than

(or greater than) another and the meaning of “max” signifies fuzzy maximum for a
target function. It shows that the constraints are fuzzy concept.

At present, there are two main methods to solve the FLP model, they are itera-
tive method and Zimmermann method [1, 2]. According to Zimmermann’s idea, he
defines different membership function for fuzzy constraints and fuzzy goal, respec-
tive. Finally, an FLP model can be converted into an LP problem. However it is not
intuitive for us to analyze the changes of the feasible region, because of the machin-
ery of computer programming. Therefore, this paper firstly provides a simple method
to the problem of two-dimensional fuzzy linear programming. Secondly, basted on
the intuitive method, the effect of fuzzy extremely produced by the change of the
feasible region is discussed in detail. Finally, we use a variety of methods to compare
and verify its accuracy in science diet, and find some regularity.

2 A Brief Introduction for Graphic Method

2.1 Basic Explanation

Suppose the objective function is z = c¢;x; + cax7, the corresponding fuzzy goal

is G. If a telescopic value of an objective function is selected as dy = z;) — 20, its
membership function can be defined as follows.

G(x) = g(ex)
0, < 20,
ey =0 2.1)
=g@) =1 "3 20 <cx =20 +do,
1, z0+dy < cx.

Similarly, we also give the telescopic value for a constraint function dy = z;, — 20.

And then its membership function LN)(x) is given below.

D(x) = f(ax)
1 aix < b;
£ 1 i 19 2'2
= f(y) =1 1— et ) < gx <b+d, 22
0, bi+di <aix,(i=1,2,...,n).

In addition, we define the fuzzy judgment Dy = 13 N 6 If x* is an optimum
solution to FLP (1.1), it satisfies

Dy = max Dy (x) = max(G(x) A D())

~ N N N (2.3)
= Tfé({G(x) AD1(x) AD2(x), ..., Dn(x)}.

The following images are given to show the relationship defined above (Figs. 1 and 2).
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Fig. 1 Relationship between ~
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2.2 An Example

We use the following example to illustrate the FLP graphic method [3].

zmz‘x =Tx+ 12y
9x + 4y < 360,

s.t. § 3x + 10y < 300,
x>0,y >0.

(2.4)

(1) Let the first corresponding classical LP problem as follows and then solve it by
using the LP graphical method.

7™ ="Tx 4+ 12y
9x + 4y < 360,
s.t. § 3x + 10y < 300,
x>0,y>0.

(2.5)

In Fig.3, the convex quadrilateral OABC is the feasible region of LP (2.5). The
line / is a contour line of the objective function, it intersects at point B, which is
one of the apex in feasible region. Easy to know that point B is an optimum, where
coordinate is x = 30.77, y = 20.77 and zJ** = 464.63.

(2) Let the constraint function expand to maximum range. We solve the following
new programming using the LP graphical method.
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Fig. 3 Example for FLP

graphic method - : \
ok \

kg \ B:(39.23,24.23)

AR . \E \ M: (35.00, 22.50)

30 B:(30.77,20.77)
20

10

7" ="Tx + 12y
9x + 4y < 360 + 90,
s.t. 4 3x + 10y < 300 + 60,
x>0,y>0.

(2.6)

In Fig. 3, the feasible region expands from quadrilateral OABC to OA’B'C’. A
contour line k of the objective function intersect at point B’, where coordinate is
x = 39.23, y = 24.23 and "™ = 565.37. Besides, it is obvious that the number
dy = /"™ —zg™ = 100.74 can be regarded as a telescopic value for a target function.

(3) When the feasible region enlarges, the optimal solution moves from point B to
B’.Meanwhile, it is easy to verify that one or two constraint conditions are violated in

this process. That is to say, membership function D; (x) and D, (x) gradually become

less than before. At the same time, the membership function G (x) will slowly become
greater and the optimal point B closes to the line k, which is the maximum contour
line of objective function. The question now is to find a suitable point so that the
fuzzy judgment reaches maximum.

Consequently, when the objection function z changes in interval [464.63, 565.37],

the change of membership function B(x) and é(x) is shown in Fig.4. We can get
that the midpoint M of the line BB’ just is an optimal solution to the FLP (2.1), where
the coordinates is x = 35, y = 22.5 and z™* = 515.

Fig. 4 Relationship between
Dy and Z

=¥

D(x) G(»)

]
1
1
1
O 46463 M 56537 7
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2.3 Definition and Method

In order to explain this graphic method, we firstly give some definition to it. Next,
we summarize the steps of the proposed method. This method can be used to solve
the two-dimensional FLP (1.1).

Definition 2.1 A region is said to be a telescopic region, if the telescopic range for
each constraint conditions and the target is the area between two parallel lines, which
was or is expanded before or after.

Definition 2.2 A region is said to be the telescopic parallelogram, if two different
telescopic region intersections is a parallelogram.

Definition 2.3 A triangle, constituted by three lines which membership grade is
number “0” in telescopic region, is said to be a telescopic triangle, if one of vertex
of the triangle is a solution to the fuzzy constraint expanded to a maximum range.

Definition 2.4 A line in telescopic triangle is said to be the diving angle line of an
equal membership grade if the line is divided into one of the corner. The mapping
method is that connect diagonal containing this corner in the telescopic parallelogram.

Hence, the FLP graphic method is as follows.

Step 1. Compute the optimum solution that the constraint conditions are not stretched
by classical LP graphical method.

Step 2. Calculate the optimum solution that the constraint conditions expands to the
maximum range using a classical LP graphical method.

Step 3. Make two diving angle lines of equal membership grade in a telescopic tri-
angle, then their intersection is an optimal solution (like the point M in example).

3 A Two-Dimensional FLP Model in Vegetarian Diet

Vegetarian Diet. If vegetarians can only be limited to eat vegetables or fruit juices,
he/she purchase x units vegetables each week, and y units fruit juices. According
to nutrition experts, each person consumes vitamin should be limited in a certain
scope, but this scope is vague. As a result, the vegetarians have a fuzzy constraint in
selection food. In this way, he will choose about 40 g vitamin A, 50 g vitamin B, 70 g
of vitamin C, 10 g of vitamin D and 60 g of vitamin E. Besides, the vitamin content
in each units of vegetables or juice can be obtained by measuring. They are shown as
follows. As we know, the price of each units vegetables and fruits juice is about 0.02
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and 0.03 dollars. Consequently, how to determine the quantity for using vegetables
and fruits juice, let him/her not only meet the needs of the body, but also spends less.
(1) Write the known date in the table below.

Location |A B C D E Price $
Vegetables |0.1 0.2 0.04 0.1 0.06 0.02
Fruits juice|0.05 0.15 0.2 0.1 0.1 0.03
Vitamins |40 — d4 |50 —dp|70 — d. {10 — dp |60 — dE

(2) Establish the two-dimensional FLP model in vegetarian diet.
Suppose vegetarians eat x units vegetable every week and y units fruits juice. And
then, he/she had to buy x units vegetables and y unites juice. If letter c repress of the
target function, he/she will pay the total money ¢ = 0.02x + 0.03y.

The problem is that looking for two numbers x and y, which makes fuzzy objective

function C™" minimum, and they must meet the following conditions.

A :0.1x + 0.05y f40’

B :0.2x +0.15y > 50,

C:0.04x + 0.2y > 70, 3.1)
D :0.1x 4+ 0.1y > 10,

E:0.06x+0.1yi60,

X

>0,y>0,

where the numbers on the right side of inequality is this.
40—-dy = 398,50 — dp = 598,70 — d¢ = 69.5,10 — dp = 9.8,
60 — dg = 59.8, respectively.

4 Graphical Method Is Used to Solve the Vegetarian
Diet Model

Step 1. Draw a feasible region of the following LP (4.1) and then solve it by using
an ordinary graphical method as shown in Fig. 5.

min = 0.02x + 0.03y

0.1x + 0.05y > 40,

0.2x + 0.15y > 50,

0.04x + 0.2y > 70, 4.1)
0.1x + 0.1y > 10,

0.06x 4+ 0.1y > 60,

x>0,y>0.

st.
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Fig. 5 Constraint functions L
of programming 4.1 L
E A:(0.00, 800.00)
1000 | B:(142.86, 514.29)
A C:(625.00, 225.00)
s00 B D:(1750.00, 0.00)
: C
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0 1000 2000

The feasible solution in linear programming [4] is convex, so its optimal solution
can be achieved in one of the vertex. As a result, we can put the four vertices into the
objective function and compare their values. Finally, we get point B to be an optimum
point, where its coordinate is x = 142.86, y = 514.29 and Z™in — 18.2859.

Step 2. Draw another feasible region of following LP (4.2), where the numbers
on right side of inequality become smaller and solve it, which is shown in Fig. 6.

min = 0.02x 4 0.03y

0.1x + 0.05y > 39.8,

0.2x +0.15y > 49.5,

0.04x + 0.2y > 69.5, 4.2)
0.1x + 0.1y > 9.8,

0.06x 4+ 0.1y > 59.8,

x>0,y>0.

Similarly, we compare the function values of some vertex points and found that
point F (141.43, 513.14) is the optimal point, where its value of target function is
Zmin = 18.2228.

Step 3. In Fig.7, draw two diving angle lines of equal membership grade in the
telescopic triangle. According to the fuzzy graphic method mentioned above, the
intersection M of two straight lines is an optimal solution.

Fig. 6 Constraint functions

of programming 4.2 1500

E: (0.00, 796.00)
E F: (141.43, 513.14)
G: (626.25, 222.25)
H: (1737.50, 0.00)

1000

LI

500
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Fig. 7 FLP graphic method
in vegetarian diet model

B:(142.86, 514.29)
F:(141.43,513.14)
M:(142.15, 513.72)

0:(138.72, 509.31)

In order to draw a more accurate picture, we make a few specification as follows.
0.1x + 0.05y > 40
0.06x + 0.1y > 60
straint, they intersect at a point B(142.82, 514.29).

0.1x +0.05 > 39.2
0.06x 4+ 0.1y > 59.8

straint, they intersect at a point F'(142.43, 513.14).

3. We only draw the contour line of objective function and active lines because of the
complex line in feasible region. Besides, the value of telescopic value dy = —0.2,
dg = dc = —0.5,dg = dr = —0.2 is too small to clearly distinguish two sets
0.1x 4 0.05y = 40 d 0.06x 4+ 0.1y = 60
0.1x +0.05y = 39.8 "% 10.06x +0.1y = 59.8°

1. For programming 4.1, only inequalities is an active con-

2. For programming 4.2, only inequalities is active con-

of line between [ S0 image is

magnified.

Result: According to the fuzzy graphic method, a part of the triangle constituted
by 3 lines, where membership grade is “0”, is drawn as the shaded area shown in
Fig.7. When the numbers on right side of inequality is reduced, the feasible region
will become large. If the optimum point gradually moves from point B to point F,
its membership grape also changes from number “1” to number “0”. Making two
diving angle lines of the telescopic triangle, we find that their intersection is just
the intersection of two diagonals in parallelogram. Therefore, point M must be the
midpoint of the line BF. It is to say that putting the coordinate into the objective
function can get optimal value z™" = 18.2546.

5 An Analysis and Comparison of Fuzzy Graphic Method
5.1 Analysis

If the numbers of vitamin in model 3 which human body needs were changed into
this: 40 + d4 = 40.2,50 + dp = 50.5,70 — d. = 69.5,10 + dp = 10.2,60 +
drp = 60.2, and corresponding target function d; = 0.5. The final fuzzy optimal



Analysis of Graphic Method to Fuzzy Linear Programming ... 309

values become this.
A =1,x=142.8571, y = 514.2857, z™" = 18.28571.

But with the result x = 144.2857, y = 515.4286, Z™n — 18.34857 which the
constrain function is expanded, is still a certain gap. Or, to put it another way, it
is not right for reality that the optimum solution of the programming increasing the
telescopic value can not yet be compared with the original. In fact, the primary reason
for the result was a smaller feasible region when the telescopic value is increased,
which means that we take a wrong telescopic value.

5.2 Comparison

(1) The result as shown in Fig.8 solved by Excel method are consistent with the
graphical method, among them

x = 142.1430, y = 513.7144, ;™" = 18.2543.

(2) Turn it into a standard type as follows, and then solve it using a simple algorithm
providing by literature [5].

minz = 0.02x; 4+ 0.03x,
0.1)(1 + 0.05)62 — X3 = 40,
0.2x1 + 0.15x5 — x4 = 50,
0.04x; + 0.2x; — x5 = 70, (5.1)

ST 10101 + 0.1x; — xg = 10,
0.06x; + 0.1x, — x7 = 60,
X1, ...,x7 > 0.

:llegt.hidFmal result in excel A B C

1 | Variables Values
2 X 142. 1430209
3 vV 513. 7144144
4 lamada 0.500113342
5
6 Subject to  39.80000014 39. 8
7 105, 2357097 49. 5
3 108. 178547 69.5
9 65. 48572086 9.8
10 59. 80000003 59. 8
11 18. 28569997 19. 2857

12
13 Max lamada 0.500113342
14 Min z 18. 25429285



310 B.-Y. Cao et al.

Calculate the basis matrix

142857 0 O 0O —7.1400
05714 0 0 —1 0.7140
B'=| 15714 —1 0 0 0.7138
—85729 0 0 0 14.2799
—1429 0 -1 0 25712

We can get
39.8 141.5989
49.5 55.6389
B 'b+d)y=B7'|695|=| 557270 | > 0.
9.8 512.7366
59.8 38.7703

So the optimum point is
1
x* = 5(142.9284 + 141.5989, 514.1084 + 512.7366) = (142.2636, 513.4225).

where coordinate is x = 142.2636, y = 513.4225 and ZMin — 18.2479. This result
also consists with the graphical method.

6 Conclusion

In this paper a two-dimensional FLP model is established about vegetarian problem,
providing a simple and intuitive method-graphical, to analyze and discuss the changes
of fuzzy extreme when the telescopic value change. The study founds its way to the
idea that it will directly lead to the change of a feasible region when telescopic
values become larger or smaller. Specifically, suppose the feasible region becomes
smaller after increasing telescopic value. It will result in the outcome A = 1, which
measures the fuzzy judgment. This shows that, when the optimum solution to the
programming increases the telescopic, we take a wrong value. Still another condition
is an enlarged feasible region when its telescopic value is increased. The optimum
point in FLP model becomes the midpoint between two optimums which increase
the telescopic value and the original, if this two points are corresponding in location.
This will be the content we discuss further.
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A Fixed-Length Source Coding Theorem
on Quasi-Probability Space

Yang Yang, Lin-qing Gao, Chao Wang and Ming-hu Ha

Abstract The existing source coding theorems are established on probability meas-
ure space or Sugeno measure space. It is difficult to deal with the source coding
problems on quasi-probability space which is an extension of probability measure
space and Sugeno measure space. In order to overcome the limitation, fixed-length
source coding problems on quasi-probability space are discussed. Based on the def-
inition and properties of information entropy on quasi-probability space, an asymp-
totic equipartition property of discrete memoryless information source on quasi-
probability space is proved. Then, a fixed-length source coding theorem for discrete
memoryless information source on quasi-probability space is provided.

Keywords Fixed-length source coding theorem + Sugeno measure - Quasi-
probability space - Information entropy

1 Introduction

Information theory developed by Shannon [1] is an intersection of physics (statis-
tical mechanics), mathematics (probability theory), electrical engineering (commu-
nication theory) and computer science (algorithmic complexity) [2]. Source coding
theory, an important branch of information theory, has been applied in encoding,
compression and encryption of different information source such as image, audio
and video [3-8]. The source coding theorem indicates that the expected length of
the optimal code is bounded below by the Shannon entropy of the source, which is
regarded as a sophisticated central part of source coding theory [9].
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However, the classic source coding theorem is established on probability mea-
sure space where the uncertainty of information is described by probability measure
on probability measure space whereas probability measure is a set function which
satisfies additivity or countable additivity [10]. It is well known that in many sit-
uations, the condition of additivity is so strict that it might lead to the failure of
probability measure in describing the uncertainty of some information. Inspired by
this, many non-additive measures are proposed by substituting the additivity require-
ment of probability measures with other requirements [11-18]. For example, Sugeno
[12] proposed a class of non-additive measures, Sugeno measures, by replacing the
additivity with o — X rule [17].

Motivated by the generalization of additive measure into non-additive measure,
information theory on probability measure space was extended to the non-additive
measure space. For example, on belief measure space and plausibility measure
space, Klir [19] proposed generalized information theory to make the treatment of
uncertainty-based information more realistic; on possibility space, Sgarro [20, 21]
introduced the possibilistic entropy and gave a model for information sources and
transmission channels which is possibilistic rather than probabilistic; on Sugeno mea-
sure space, Zhang and Yang [22] defined the information entropy based on Sugeno
measure and proved a source coding theorem for discrete information source with
g, distribution.

In this paper, we try to incorporate quasi-probability [13] into source coding
theory and discuss the fixed-length source coding problems on quasi-probability
space. The concept of quasi-probability is introduced and discussed by Wang and
Klir [13, 14, 17] as anormalized (or regular) quasi-measure. Every quasi-probability
is connected to an additive measure by a transformation function (7 -function), which
is a significant specialty of quasi-probability. It is well known that one of the main
difficulties for applying non-additive measures is that they are set functions defined
on a class of subsets of a given universal set and thus they require a large number of
parameters. For example, to get a fuzzy measure defined on the power set of a given
universal set X, usually we must set 2/ X! parameters. Quasi-probability can overcome
the difficulty because any quasi-probability 1 can be obtained by v = 6~ (6 o ),
where 671 is the inverse function of 7-function 0, 6 o W is an additive measure. In
this sense, quasi-probability is more usable than some other non-additive measures
in practice. Furthermore, it has been proved that quasi-probability is an extension
of Sugeno measure and probability measure [17], and therefore, the investigation of
source coding theorem on quasi-probability space is significant.

The rest of the paper is organized as follows: In Sect. 2, some notations of quasi-
probability and information entropy are reviewed. In Sect.3, main results of this
paper are presented.
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2 Preliminaries

Let X be a non-empty set. F is a o —algebra of subsets of X, and C is any class of
subsets of X.

Definition 1 ([17]). Leta € (0, oo]. An extended real function 6 : [0, a] — [0, oo]
is called a T-function iff 6 is continuous, strictly increasing, and such that 6 (0) = 0
and 6! ({oo}) = @ or {00}, according to a being finite or not.

Obviously, ! is continuous, strictly increasing function when @ is continuous,
strictly function.

Definition 2 ([17]). w is called a quasi-measure iff there exists a 7' -function 6 such
that 6 o u is an additive measure on C, where (0 o ) (E) = 0 (u (E)),YE € C.
A normalized quasi-measure u is called a quasi-probability.

As the relation of the discrete random information source and discrete random
variable on probability measure space, the discrete information source on quasi-
probability space can be depicted by discrete quasi-random variable [23].

Definition 3 ([23]). Let & be a discrete quasi-random variable taking values x;
(i =1,2,...). The expected value of £ is defined by

E,[E1=) " ximi,
i=1

o0
if > |xilui < ocowhere u; = puf{é =x},i=1,2,...
i=1
Definition 4 ([24]). The self-information of the event & = x; on quasi-probability
space (X, F, u) is defined as I (x;) = —log, (0 o u (x;)).

The base of the logarithm a is not specified in the definition. Unless otherwise
specified, we will take all logarithms to base 2, and take log x instead of log, x.

Definition 5 ([24]). The information entropy of a quasi-random variable & is defined

p
as H (&) = E [ (xp)] = 2. 1 (x;) - (0 o (x1)).
i=1
Proposition 1 ([23]). Suppose that & is a discrete memoryless information source
on quasi-probability space (X, F, u), and H () is the information entropy of &.
Then the following properties of H (i) is obtained:

(i) H(uiopo, o oopitp) =H oty pp) == H (lp, 1y ..oy p—1)
(ii) H(u,0) = H(u,0,0) = H(1£,0,0,0) = --- = H(u,0,...,0) = 0,
u > 0.

(iii) H gm,m,...,up; > 0;
(lV) H lu’ls/“l’29-~~’/~’Lp Slogp
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3 Main Results

Assume £ is a discrete memoryless information source with quasi-probability distri-

bution
|:g }_[xl...xi...xp}

Then, the quasi-probability distribution of its Ntk extension ¢ is given as following

(&) w ) e (vy) e (vpn) |
where y; = (xj,xj,....xjy).J = L2,....p", and xj,x,, ..., xjy €
{x1, %2, ..., xp )

Theorem 1 Suppose & is a discrete memoryless information source on quasi-
probability space, and ¢ = (&1,&,...,&EN) is the N-thextension of &, where
&1,&, ..., &N are independent and identically distributed quasi-random variables.
Then the sequence %I (y j) is convergent in quasi-probability to H (§).

N
Proof 1t follows from Definition 5 that E [1(x,)] = H (§). Thus & > I (x},)
k=1

is convergent in probability to H (§) according to the law of large numbers on
probability measure space.
Since

I(yj

N N
—log(H HOM) > 1 (xj,)

) k=1 k=1
N N - N

we can obtain that (X/ ) is convergent in probability to H (£), i.e.

90#(“%—1‘1(5)

when N > Ny.
It follows from Definition 2 that

I .
M(H%—H@)

Zs])<0(8),V8>0,V6>0,EIN0,

28]) <0700 () <.

Hence, the sequence %I (y j) is convergent in quasi-probability to H (£).
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Theorem 1 enables us to divide the set of all sequences into two sets, the typical
set, where the mean of self-information is close to information entropy H (§), and
the nontypical set, which contains the other sequences. In other words, Theorem 1
shows an asymptotic equipartition property (AEP).

Definition 6 Let y; = (x s Xjys e s X j/v) denote sequence of length N, where
Xjis Xjps ooy Xjy € {xl,xz, ...,xp}. If Ve > 0, ‘# — H(E)‘ < &, then y; is
said to be a typical sequence, otherwise, y; is said to be a nontypical sequence. In

this paper, the set of typical sequences is denoted by G.n, and the set of nontypical
sequences is denoted by G, .

Lemmal Ify; = (le’sz’ .. .,xjN) € Gy, then
g1 (Z—N[H<s>+s]) <u(y) <6~ (Z—N[H@)—s]).

Proof Tt follows from y; = (xj,, xj,, ..., Xjy) € Gey that

1))

N —H(§) <e,

and therefore
NHE)—¢e) <I1(yj) <N(HE)+e).

According to Definition 4, we have
2 NHO+) _ g oy (y;) < 2~ NHE =)
Hence, 6= (2-NHETO) < 1 () < o= (2~ NHE-0),
Lemma 2 Let |Gy || denote the number of elements in the set Gon. Then
(1 -6 ) 2N O™ < |Gy < 2V,

Proof The lower bound can be derived as follows:
It follows from Theorem 1 that
> 8]) < 4.

" (”M —H(é)
Hence, 6 o 1 ({‘% — H(f;‘)‘ > e}) <0 (8) and (1 — 0 (8)) < 0 0 u(Gen).

N
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Then we can get
(1—=0(8) <bou(Gen)
< [Genll - max 6o u(y;)
Vi €GeN

< Gen | - 27VHO™2),

when N is sufficiently large.
The upper bound can be derived as follows:

1=ieou(yj)
= D bon(y)

Y;€GeN

> Z —NHE)+e) _ 1Gen |l - —N(HE)+e)
YjEGsN

Hence, ||Gey || < 2NHE+E) The theorem is proved.
As a consequence of Lemma 2, we have

N[H
_ Genll 2V gyl
pY p¥

Since H (¢) < log p by the property of information entropy of quasi-random vari-
ab_le, we have log p — H (§) — ¢ > 0, and therefore, n — 0 when N — oo, that is
” Gen ” > [[Genll-

Theorem 2 (A Fixed-length source coding theorem) Let & be a discrete memoryless
information source on quasi-probability space, and ¢ = (€1, &, ...,&EN) bethe N-th
extension of &, where &1,&>,...,&EN are independent and identically distributed
quasi-random variables. Suppose we encode sequence y; from ¢ into a codeword
with length | using code alphabet A = {ay, az, ..., a,}. Then the quasi-probability

of decoding failure can be made arbitrarily small when N is sufficiently large if
L HEte g o,

N — logr

Proof According to Theorem 1, we have that sequences y; from ¢ can be divided
into two sets: typical sequences G,y and nontypical sequences G.y. Notice that
1(Gen) < 8and 07" [(1 =6 (8))] < w(Gen), then 1(Gen) — 0, 1(Gen) — 1
when N is sufficiently large.
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It follows from Lemma 2 that n = Lﬁ{,"” — 0 when N is sufficiently large, so
that our attention can be restricted to these typical sequences. Consequently, to prove
the theorem, we need to prove that the number r! of codeword satisfies ! > |G|

If the length of codeword [ satisfies % > Hlfg):rs, then logr! > N (H(£) + ¢),
sorl > pNWHE+e),

It follows from Lemma 2 that 2N @&+l > G, v

Hence, ! > ||G¢n ||, which implies that every typical sequence yj € Ggpy has
its own codeword. Certainly, there exists encode failure since nontypical sequences
aren’t under consideration, however, the quasi-probability of sequence y; from ¢
being nontypical sequence tends to O when N is sufficiently large.

4 Conclusion

A fixed-length source coding theorem on quasi-probability space is initially derived in
this paper to investigate the source coding problems on quasi-probability space. The
proposed fixed-length source coding theorem can be considered as a generalization
of the source coding theorems on probability measure space and Sugeno measure
space.

Topics for future research may include the variable-length source coding theorem
and the source coding theory with continuous quasi-random information source,
which aim to lay a theoretical foundation for source coding problems on quasi-
probability space.

Acknowledgments Thanks to the support by the National Natural Science Foundation of China
(No. 60773062 and No.61073121), the Natural Science Foundation of Hebei Province of China
(No.F2012402037 and No.A2012201033).
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The Distribution of Zeros of Solutions
of Differential Equations
with a Variable Delay

Dong-hai Peng and Liu-wei Zhang

Abstract This paper is concerned with the distribution of zeros of solutions of the
first order linear differential equations with a variable delay of the form

X'() + P(0x () =0, =1,

where P, T € C([tg, 00),[0, o0)), t(t) < ¢, t(t) is nondecreasing, and

li$ 7(t) = +oo. By introducing a class of new series, we are able to derive
——+00

sharper upper bounds on the distance between zeros of solutions of the above delay
differential equations. Some examples and a table are given to support our accom-
plishment.

Keywords Distribution of zeros - Oscillation - Variable delay

1 Introduction

In this paper, we investigate the upper bound for the distance between adjacent zeros
of solutions of the first order differential equations with a variable delay of the form

X' (@) + P()x(x() =0, t=>1, (1)

where P,t € C([tyg, 00), [0, 00)),7(¢) < t,t(¢)isnondecreasing, andtlim (t) =
— 00

oo. For simplicity of notations, we use the notation 7°(r) = ¢ and inductively define
the iterates of 7! by
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=1 (V0), =12

where 77! is the inverse of 7.

In general, let C = C ([t~ Y1), to], R) denote the Banach space consisting of
all continuous function from [t~ (79), 19] to R, which is also called Phase Space
of Eq.(1). Using the method of steps, it follows that for every continuous function
v e C([t’l(to), to], R), there exists a unique solution of Eq. (1) valid for > #.
For further questions on existence, uniqueness and continuous dependence, see Hale
[1] and Erbe [2]. As is customary, a solution x (¢) of Eq. (1) is said to be an eventually
positive solution if x(#) > 0 when ¢ is large enough. A solution of Eq. (1) is said to
be oscillatory if it is neither eventually positive nor eventually negative; otherwise,
it is called nonoscillatory.

We note that most of the existing results have been established for constant delay
equations [3-6]. In [7], Zhang and Zhou firstly considered the distribution of zeros
of the solutions of differential equations with a variable delay, where the following
two sequences defined by

fo) =1, fay1(p) = ePn®),

g1(p) = Z(IPEP), gm+1(p) =2(1 _p)/('o2+ gﬁiz(p))’

2

with 0 < p < 1, play an decided important role. After that, by constructing different
sequences, many researcher established more precise results about the distribution
of zeros of solutions to Eq. (1). In [8], Tang and Yu use only an increasing sequence
{rn(p)};2, defined by

rn(p)
rn(p) + 1 — eﬂrn(P) :

1
ro(p) =1, ”I(P)Zm, rnt2(p) = 3)

It is easy to see that the increasing rate of the sequences defined above is better
than the corresponding sequences in (2). On the base of the sequences in (3), Wu
and Xu [9] give a pair of sequences defined by

foe) =1, fil)) = 5. far2(p) = 35100

2(1—
o) =252 (o) =2(1-p - 5) /0%

4)

More results about this topic, one can refer to [10].

In this paper, by constructing more elaborate sequences, we obtain a better upper
bound estimate for the interval-length successive zeros of the solutions of Eq. (1).

To simplify the description of sequences, we define by (4)

p* P20 — 1 — pf_5(p)

0(p, 1) = e 0(p, n) = f2_2(,0) , o n=2,3,....
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In this paper, instead of above sequences, we define the following sequences

folp) =1, filp) = ﬁ, Jong1(p) = m )
o) =252 g0y =2(1-p - 5) /0
and . )
Jo(p) =1, 1fl(P) =1 Jor1(0) = o) ©
‘pl(pv n) = 9(;/:1)7 ¢m+l(pv n) = g(pl’ ) (01 —p— ¢m(/lo’n) .

The properties of { f,(0)} have been discussed in [8-10]. Roughly, if p > 1/e,
then either f,(p) is nondecreasing and lim f,(p) = oo or f,(p) is negative or
n— oo

approaches to oo after a finite numbers of terms. However, for0 < p < 1/e, we have
1 < fu(p) < fug2(p) <eforn =0,1,2,...and nlillgofn(p) = f(p) € [l,e],
where f(p) is a real root of the equation

f(p) =ePf®, (7)

Moreover, if ¢, (0, n) > 0form = 1,2, ..., then ¢p4+1(0, n) < ¢ (p, n). So
we get ¢1(p,n) > (1 — p)/(20(p, n)) when (1 — p)*> > 46(p, n), and

1 1
a1 (py 1) = l—po——
P10, n) 9<p,n>( p ¢m<p,n>)
1—p 2 - 1—p

> f—
O(p,n) 1—p = 20(p, n)

for m > 1. Namely, the sequence {¢,,} is decreasing and bounded below. Thus there
exists a function ¢ (p, n) such that lim ¢,,(p, n) = ¢(p, n) and ¢ (p, n) satisfies
m—0oQ

2
, = 1—p— .
. m 9<p,n)( g ¢(p,n>)
This implies
_1—p+ VU —p)?—46(p. n)
p(p. n) = 5007 : (®)

2 Some Lemmas

In what follows, we shall assume that there exist #; > g and positive constant p such
that
(Ap) : th(l) P(s)ds > p,fort > 11.
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L ru t
(Ar) : ft(u) P(s)ds > _fr(t) P(s)ds,fort(t) <u <t.
In order to prove our main results, we present some lemmas.

Lemma 1 Assume that (A1) holds. If there exist Ty > t; and a solution x(t) of
Eq.(1) such that x(t) is positive on [Ty, ©~N(Ty)] for some N > 3. Then, for some
m<N -3,

x(t (1))
x(1)

where @, (p) is defined by (5).

<gm(p), telt>(Tp), =M™ (),

Proof From (A1), we know that
(1)
/ P(s)ds = p.
1

Observe that F(A) = j;'\ P(s)ds is a continuous function, F(z~'()) > p, and
F (t) = 0. Thus, there exists a A; such that ftk’ P(s)ds = p,wheret < A; < L),
When r_3(T0) <t < W=Dy, integrating both sides of Eq.(1) from ¢ to A,
gives

M
x(1) —x(A) = / P(s)x(t(s))ds. €))
t

Sincer <5 < A, < t7(1), we get that T 2(Tp) < t(r) < T(s) < T(A;) < 1.
Integrating both sides of Eq. (1) from t(s) to 7 gives

t
x(t(s)) —x(t) = / P(u)x(t(u))du. (10)
T(s)

On the other hand, from Eq. (1), we obtain
X'(t) = —P(0)x(x(1)) <0, t € [t (To), TN ()], (11)

which implies that x () is nonincreasing on [t~ Y(Ty), =N (Tp)]. Thus, x(t(v)) is
nonincreasing on T 2(Ty) < 1(s) <u <1 Itis easy to see that

t
x(z(s)) = x(@) +x (z(1)) P(u)du
T(s)

N

=x()+x(z(1)) [/ P(u)du — /S P(u)du}
T(s) t

> x(t) + px (@) —x (f(t))/ P(u)du. 12)
t
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From (9) and (12), for t € [t3(Tp), T~V ~D(Tp)], we get
At
x(t) = x(Ay) +/ P(s)x(t(s))ds
t
At s
> x(h) +/ Ps) I’“(” 4 px (t(1)) —x(r(r))/ P(u)du}ds
t t
At s
— X (k) + px(8) + p2x(2 (D)) — (2 (1)) / P(s) / P(u)duds. (13)
t t

Changing of variable for double integration gives

A S At A
/ / P(s)P(u)duds =/ / P(s)P(u)dsdu.
t t t u

If we exchange the variable notation of integration s and u, the above equality

becomes
At s At At
/ ds/ P(s)P(u)du:/ ds/ Pu)P(s)ds,
t ! 1 s

which implies

At K At s A
/ ds/ P(s)P(u)du = %/ P(s) [/ P(u)du +/ P(u)du] ds
t t t t s

1 At At ,02
= E/t /l P(u)P(s)duds = ER

Substituting this into (13), we have

x(t) = x(Ay) + px(1) + %Zx(f(t)) (14)
> px (1) + %2x<r(t)>, te [t (), TN D). (15)

By (15), we obtain
XCO) 2D ), re @, N D@ a6

0 2

When t_S(To) <t < r_(N_z)(To), we easily see that 1_3(T0) <t <M<
1) < e~V =D(Tp). Thus, by (16), we have

1
@1(p)

x(Ar) > x(T(h)), t et (Tp), T~V 2(T)]. (17)



328 D. Peng and L. Zhang

Since x(¢) is nonincreasing on [t~ (Tp), N (Tp)] and t72(Tp) < t(A) <t <

r < = N=D(Tp), from (17), we obtain x(%;) > mx(z). Substituting this into
(14), we get
102 3 2
x(1) > xX(0) + px(0) + —x( (@), t e[t (Tp), TN (Tl
v1(p) 2
Therefore

2(1-p— -+
x(z(1)) - ( ‘/’l(p)) =@(p), t€ [1-_3(T0)’ -[_(N_z)(T())].
x(1) p?

Repeating the procedure just described gives

xx) 2 (1-r-325)
x(t) p?

= on(p), telt>(Tp), =N (Tp)].

The proof is complete.

Lemma 2 Assume that (A1) and (Aj) hold. Further assume x(t) be a solution
of Eq.(1) on [ty, 00), and that there exists To > t1 such that x(t) is positive on
[Ty, t_N(TO)]for some N > 3. Then for some N —2 >n > 1,

x(t())
x(1)

where f,(p) is defined by (5).

> fu(p) > 0, t e[t (1), N (T,

Proof From (11), we know that x(¢) is nonincreasing on [t’l(To), NI It
follow that

x(z (1)

> 1= folp) for t e[t *(Tp), T N(Tp)l. (13)
x(1)

When 773(Tp) <t < T, integrating Eq. (1) from 7(¢) to t we get

t
X (1) = x(1) + / P(s)x(x(s))ds
(1)
> x(t) + px(z ().

So

O L L _f=0 relet @ oV mL (9)

x(t) 1—p
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Next we proof that

x(t(t))
x(t)

From (11), (14), and (19) we obtain

> f2(p) > 0, t e[t *Tp), TN (To)l.

2
x(0) = x (77 0) + px0) + Zoxz )
o2
21=p)
=x (v7'0) + px() + 00, DAEIX@), 1€ [T (Ty), VDT,

> x (r*l(t)) 4 px(t) + x(1)

which shows that

_ 2
0<x(c0) < Zz(i‘%xm = (1= p—0(p, DAENXD).
Therefore, 0 < x (1) < (1—p—60(p, 1) fi1(p)x(z(2)),fort € [t=*(Tp), TN (Tp)].
That is, for € [t~*(Tp), N (Tp)]

x (@) 1
X0 = T=p =000, Dfilp)

= fa(p) > 0. (20)

Finally, we prove that

x(r()

> f3(p) >0, 1 €[t (Ty), T N (Tp)l.
x(t)

When 7=4(Tp) <t < t~N-D(1p), integrating both sides of Eq. (1) from ¢ to A,
gives

At
x() —x(\) = / P(s)x(t(s))ds. 21
t
Sincer <5 < A, < t7(1), we get that T3(Tp) < 1(r) < 7(s) < t(X;) < 1.
Integrating both sides of Eq. (1) from 7 (s) to t(¢) gives
13
x(t(s)) —x() = / Pu)x(t(u))du. (22)

T(s)

From (21) and (22), for t € [t ~*(Tp), t~ V=D (Tp)], we have
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At
x(t) = x(A) +/ P(s)x(z(s))ds
t

At '
=x(Xy) +/ P(s) [x(t) +/ P(u)x(t(u))du] ds
t T(s)
X(T(u))

= x(Ap) +/ P(s) [x(t) +x(r(t))/ P(u)———— u] ds. (23)
t (s) x(z(1))

Dividing both sides of Eq. (1) by x(#) and integrating from t () to 7 (), we obtain

@ (O xe)
x(z(0) = CXP(/I(M) P(n) x() 77), T(s) <u<t. (24)

Since 7(7(t)) < n < t(t), from (18) and (24), we get

x(t(u))
x(z(@) ~

(1)
> exp (fo(p) / P(n)dn) telt™ T, V(T (©29)
On the other hand, from condition (A,) and (25), it is easy to see that
t
/ P )
2(s) x(z(1))
ot (1)
SR eXp(fb(p) /., P(n)dn)du
t u u
=/ P(u)exp [fo(p) (/ P() —/ P(n)) dn] du
7(s) T(u) (1)
t t u
> exp (fo<p> ( / " P(n))) / . P(u) exp (*fo(p) / Y P(n)dn) du (by (A2))
T(t T(S T(t

! 1
= P(n)d
exp (fo(ﬂ) / R n) o

B T(s) t
X | exp (—fo(p) /( P(n)dn) — exp (—fo(p) /( ) P(n)dn)i| (by Integration by Parts)
L (1) T(t

1 u t
=—exp(fo<p> / P(n)dn)eXp(—fo(p) / P(n)dn)
fo(p) () 110}
B T(s)
x exp(—fo(p) / P(n)dn)—l}
t

1 S
pfo(p) _r P(n)d ) _ 1] .
> [e exp( folp) /t (n)dn
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By the above inequality, it follows from (23) that

0
So(p)

P(s) exp (—fo(p)/ P(n)dn) ds x (t(1))
t

x(t) = x(A) + px(1) —

x (z(1))
ePfo(o)  rh

" fo(p) Ji
> x(Ar) + px (1) +

1
fop) _ 1 _
G [ 1= eh) @) o)

By A; < t~!(¢) and (20), we obtain that for r € [t ~*(Tp), =N~V (Ty)],

x(t) = x(r71(0) + px (1) + % [P — 1= pfo(p)] (0.

So

X0 1
x(7l0) T 1—p—0(p, 2) fr(p)’

t e[t H(Tp), T NV (1)),

which implies that

x(t (1)) - 1

- 0, —(Ty), t N(Ty)].
0 S 1=p—00. DA f3(p) > te[t™(Ty), T " (To)]

Repeating the above procedure, we get for ¢ € [t~ (Ty), t=N(Tp)]

x(t(1)) - 1
x() T 1=p—=0(p, n—=1)fu-1(p)

= fu(p) > 0,

where n = 3,4, 5, .... The proof is complete.

Lemma 3 Assume that (Ay) and (Az) hold. If there exist Ty > t| and a solution x (t)
of Eq. (1) that is positive on [Ty, N1 for some N > 5, then, for some n > 2
and m > 1 satisfying2 +n+m < N,

x(z(1))
x(1)

where ¢y, (p, n) is defined by (6)

< dmlp,n), telt™ "2 (Ty), =V (Tp),

Proof As in the proof of Lemma 2, we get that (23), (24), and

x(t(1))

> fu(p), t € [t (), TN, n=1,2,.... 27)
x(1)
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Since t2(¢) < n < t(t), from (24) and (27), we get

x(t(u)) -

(1)
> exp| fu—2(p) / Pdn ), telt™®™(Ty), T1.  (28)
x(z (1)) T(u)

Similar to the proof of Lemma 2, from (A3) and (28), it is easy to see that

! x(t(w)) 1 [ ( §
Pu)—"""g Pfn—2(p) — foe / P(n)d ) _ 1:| .
/T o (u)x(r(t)) u > 720 e exp | — fn—2(p) t (mdn

From (23), we get

x (z(1)

X0 2 X0+ pr0+ 55—

[eh=2 — 1= pfoa@)]. 29)

Thus
x (T(1))

1y [ = k2]

x(t) > px(t) +

which implies that, for ¢ € [t~ (Ty), T~V =D(Tp)],

X(T() _ (L—=p)f2,(p)
x(t)  erh20) — 1 —pfy_2(p)

= ¢1(p,n).

When =t (Ty) <t < t=NV=2(Tp), it is easy to see that T~CH)(T) < ¢ <
A <t 1) < v WN=D(T}), and therefore, we have

x(Ay) > x(t(h)), te [t M1, V(1))

¢1(p,n)

Since x(¢) is nonincreasing on [z~ X (Ty), TN (Tp)] and t~9T(Tp) < T () <
t < <t N=D(Tp), we obtain

x(Ay) >

1
. 30
oo ® @0

Substituting (30) into (29), for ¢ € [t~ (1), 1= V=2 (Tp)], we have

L )+ px() + =D
¢1(p, n) P 2 a(p)

x(t) >

I:eﬂfnfz(p) —1- pf”*Z('O)] )
By the above inequality, it follows that for ¢ € [r_(2+")(T0), t_(N_2)(To)],

X(@®) _ (1 P m) fi5(p)
x () ePln=20) — 1 — pf,_2(p)

= ¢2(p,n).
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Repeating the procedure just described gives

X @) _ (1 L W) fia(p)
x(1) ePln20) — 1 — pfy_a(p)

= ¢m(p,n),

where 1 € [t~ (Ty), ©= V=) (Tp)]. The proof is complete.

3 Main Results

Our first result is the following.

Theorem 1 Assume that (A1) with p > 1/e and (A3) holds. Then, for any T > t1,
every solution of Eq. (1) has at least one zero on [T, 7K(T)1, where

a=24+ min {n+m|fu(p) > eu(p)},
n>1,m>1

¢ = minte BLand ) g — o 4 minial fu(0) < 0 or fu(p) = o0),

€29

where f,(0) and ¢, (0, n) are defined by (5).

Proof Without loss of generality, we might assume that x(¢) is a solution to Eq. (1)
forr € [T, T=K(T)]. Suppose to the contrary that x (t) > Ofor T <t < 7 %(T)(This
situation is the same when x(¢) < 0, since y(#) = —x(¢) is also a solution of Eq.
(1)). When p > 1/e, letk =2 + m™ + n™* satisfy

om(0) < fur(p), 1 [T, T7K(T), (32)

where m*, n* € {1, 2, 3,...}. From the definitions of ¢,, and f,,, we find that m™*
and n* must exist. By Lemma 1, we obtain

x(r(1))

< @me(p), 1€ [r3(T), v~ (1)) (33)
x(1)

On the other hand, by Lemma 2, we have

x(t())
x(1)

> fur(p), te[r= @ (T), t7HD)]. (34)

Setting t = v~ @) (T) = t=* =) (T in (33) and (34) gives

x(z™AH(TY)

Jur(p) < m
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which contradicts (32). Sok < a = 2 + I}lin 1{n + m|f(p) > ¢m(p)}. Since
nz1,m>

fa(p) > 0,itiseasy tosee thatk < f =2 + mirll{n|fn(,o) <0 or f,(p) = o0}
n>

The proof is complete.

Corollary 1 In addition to the assumption of Theorem 1, further, assume that there
exist constants M; such that ffi(T) —T <M;,i=1,2,... foranyt > t1. Then
the distance between the adjacent zeros of every solution of Eq.(1) on [t;, oo] are
less than My, where k is defined by (31).

In a manner similar to the proof of Theorem 1 just completed, we can prove the
following theorems and corollaries.

Theorem 2 Assume that (A1) and (A3) hold with p > 1/e. Then, for any T > t1,
every solution of Eq. (1) has at least one zero in [T, t7%(T)], where
a=2+ min {n+m|fu(p) > dnlp, n)},
n>2, m>1
k =min{e, B, y}and { B =2+ minin|fu(p) <0 or fulp) =00k (35)
n>2, m>1

where f,(p) and ¢, (0, n) are defined by (6).

Corollary 2 In addition to the assumption of Theorem 2, further, assume that there
exist constants M; such that r_i(T) —T <M;,i=12,..,foranyt > t1. Then
the distance between the adjacent zeros of every solution of Eq.(1) on [t;, oo] are
less than My, where k is defined by (35).

When O < p < 1/ein (A1), we have following results.

Theorem 3 Assume that (A1) holds with 0 < p < 1/e and (A>) holds. Further,
assume that there exists a sequence {T;}, T; — o0 asi — oo, such that

P(s)ds > L >

, 36
(1) f(p) 2 0)

/T" I+Inf(p) 1—p—y/1-2p—p2
T

where f(p) is a real root of (7) on [1, e]. Then every solution of Eq. (1) has at least
a zero on [t @HN(Ty), ™™ (T)], where T; > t= ") (1)) and

(37

n*4+m* = min {n+m|L >
n>1, m>1

L+nfui(p) 1 ]
Fa=1(p) em(p) ]’

where @, () is defined by (5) and f(p) is a real root of (7) on [1, e].

Proof Without loss of generality, we might assume that x(¢) is a solution to Eq. (1)
satisfying x(t) > 0 for ¢ € [t@)(T)), t=™ (T})], where T; > 1= (1)). By
Lemma 1 and Lemma 2, we obtain
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x(t(1))

> fur(p). 1 €T ™ (T, (38)
x(t)
YO o), e @), T (T, (39)
x(1)
and
O pum). e T, T, (40)
x(1)

From Eq. (1), itis easy to see that x (¢) is nonincreasing on [t (1), =" (T)]
and T~IHN(T) < t(h) <1 < & < TV D(Tp). By (37), we obtain

L4+In fueoi(p) 1
fro ) o)’

(41)

Since { f;,(p)} is increasing, by (38), we have

x(t(1}))
7 . . 42

(T > far—1(p) (42)
So there exists a £* € [t(T;), T;] such that

x(t(T))
x(#)

= fur=1(p)- (43)

Integrating Eq. (1) from ¢ to T;, and noting that 7(7;) <t < s < T;, by (39) and
(40), we obtain that

T; T;
x(F) = x(T7) = / P($)x(x(s))ds = x(x(T)) / P(s)x(x(s))ds,
p

;
i

which implies

PO = Sy T e @y “9

i

/Tf Xt x(T)
t

From (40), (43) and (44), we get

/Ti P(s)ds < ! — L 45)
t* = far—1(p) Om* (0, I’l)

i
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Dividing both sides of Eq. (1) by x () and integrating from 7 (7;) to ti*, we obtain

tf / tF t
/ o= _/ PO D5 < —f i) P(s)ds,

(1) x(5) (1) x(s) o(Th)

which implies

t¥ t¥ / .
/ P(s)ds < —— pisy gy = MIw—10)
°(T) Sur—1(0) Je(my x(s) Sur—1(p)

From (41), (45) and (46), we have

P(s)ds < <
(T) Sfor—1(p) O (p, 1)

’

/ﬁ L+Infir1(p) 1
T

which contradicts (36) and completes the proof.

Corollary 3 Assume that (A1) with O < p < 1/e and (A») hold, and

/t I+Inf(p) 1—p—y1-=2p—p?
T 2 ’

P(s)ds > L >
(t) f(p)

lim sup
t—00

where f(p) is defined by (7). Then every solution of Eq. (1) oscillates.

Theorem 4 Assume that (A1) holds with 0 < p < 1/e and (A3) holds. Further,
assume that there exists a sequence {T;}, T; — oo asi — oo, such that

Ti 1+1
T

o 7o) ¢(p, n),

where f(p) is a real root of (7) on [1, e]. Then every solution of Eq. (1) has at least
a zero on [t XNy, T (T)], where T; > ©= ") (1)) and

n*+m*= min {n-+m|L >
n>1, m>1

L+infii(p) 1 ]
fa=1(p) Om(p, n) '

where f,(p) and ¢, (p, n) are defined by (6), and ¢(p, n) is defined by (8).

Corollary 4 Assume that (A1) holds with0 < p < 1/e, and

Pds > L >
® f(p)

where f(p) is a real root of (7) on [1, e] and ¢ (p, n) is defined by (8). Then every
solution of Eq. (1) oscillates.

lim sup
t—00

/t /) —¢(p, n)
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4 Some Examples

In this section, we will show the application of our estimate for the distance between
adjacent zeros of oscillatory solutions by two examples and a table.

Example 4.1 Consider the delay differential equation as follows:

10 + 9¢
20t

X' () + x(t—1)=0.

It is easy to see choosing p = 0.45, by Theorem 3.1 in [9], we have

01 =54320---, ¢p =3.6138---, 93 =2.6991--.,
f1=18181---, fr =2.3164.---, f3=3.2949....

Hence f3 =3.2949 ... > ¢3 =2.6991--- , we getk = 2+ 3+ 3 = 8. On the other
hand, by Theorem 1 in this paper, we get

01 =54320---, ¢p =3.6138---, 93 =2.6991--.,
Si=18181..-, fp,=27329..., f3=3.2949....

Obviously, f, =2.7329..- > ¢3 =2.6991--- ,wegetk =2+2+4+3 =7.O0ur
results improve the corresponding theorems in [3-9].

Example 4.2 Consider the delay differential equation as follows:
x'(t)+04x(t—1)=0.
Choosing p = 0.4, by Theorem 3.1 in [9], we have

@1 =7.5000--, ¢ =5.8333---, @4 =5.1667 -, ¢5 = 5.0806- - - .
fi=1.6667---, f; =4.1839--., fs =58467 -, fo=—28.4195.-. .

Hence fo9 = —28.4195.-.-- < 0, f3 = 5.8467--- > ¢» = 5.8333--., we get
a1 =2+9=11,ar =2+ 8+ 2 = 12, and therefore k = 11. By Theorem 3.1 in
[10], let n» = 6 in ¢,,. We have

¢1 =4.5992-.., ¢33 =1.9854--., ¢4 =0.7383-.-, ¢p5 = —=5.7820--- .
S1=1.6667---, f7 =4.1839.-., fsg =5.8467---, fo=—28.4195-.-.

Obviously, ¢, < ¢n. Hence fo = —28.4195--- <0, f3=15.8467---> ¢ =
4.5992... ,wegeta; =2+9=11, ap =2+ 8+ 1 =11, and therefore k = 11
also.
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Table 1 The comparison of the p
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D(x) < 3t 4t 5t 6t

In [5] 1< 00 0.6295 <p <1 | 0.5495 < p < 0.6295 0.5159 < p < 0.5495
In [7] l<p=<o0 0.6290 < p <1 | 0.5483 < p < 0.6290 0.5140 < p < 0.5483
In 8] 1<p=<oo 0.5858 < p <1 | 0.5307 < p < 0.5858 0.4778 < p < 0.5307
In [9] l<p<oo 0.5858 < p <1 | 0.5307 < p < 0.5858 0.4778 < p < 0.5307
Here 1<p<o0 0.5858 <p <1 | 0.4890 < p < 0.5858 0.4446 < p < 0.4890

Hence fs = 3.6292- ..

Finally, in our paper, by Theorem 3.2, let n = 6 in ¢,,,, we have

, s =1.7430- - .

, fs =10.1133--. .

$1=5.0386--, ¢ =3.3719--- , 3 = 2.5481 - -
i =1.6666---, fr=2724T--, fo=3.6292---

> @ =33719.---, wegete =2+ 642 = 10, and

therefore k = 10. That is to say, our results improve the Theorem 3.1 in [10].

Below is a table, the results of the Theorem 1 compared with the previous corre-
sponding results of the literature (Table 1).

References

10.

. Hale, J.K.: Theory of Functionai Differential Equations. Springer, New York (1977)
. Erbe, L.H., Kong, Q., Zhang, B.G.: Oscillation Theory for Functional Differential Equations.

Marcel Dekker, New York (1995)

. Liang, F.X.: The distribution of zeros of solution of first order delay differential equations. J.

Math. Anal. Appl. 186, 383-392 (1994)

. Domshlsak, Y., Stvroulakis, I.P.: Oscillation of first order differential equations in a critical

state. Appl. Anal. 61, 359-379 (1996)

. Zhou, Y., Liu, Z.R., Yu, Y.H.: An estimate for distance between adjacent zeros of solutions of

neutral delay differential equations. Acta Math. Applicatae Sinica 21(4), 505-512 (1998)

. Zhou, Y.: The distribution of zeros of solutions of first order functional differential equations.

Bull. Austral. Math. Soc. 59, 305-314 (1999)

Zhang, B.G., Zhou, Y.: The distribution of zeros of solutions of differential equations with a
variable delay. J. Math. Anal. Appl. 256, 216-228 (2001)

Tang, X.H., Yu, J.S.: The maximum existence interval of positive solutions of first order delay
differential inequalities with applications. Math. Pract. Theory 30(4), 447-452 (2000)

Wu, HW., Xu, Y.T.: The distribution of zeros of solutions of neutral differential equations.
Appl. Math. Comput. 156(3), 665-677 (2004)

Wu, H.W,, Cheng, S.S., Wang, Q.R.: The distribution of zeros of solutions of functional dif-
ferential equations. Appl. Math. Comput. 193(3), 154161 (2007)



An Approach to Dual Hesitant Fuzzy
Soft Set Based on Decision Making

Yan-ping He

Abstract By combining the dual hesitant fuzzy set and soft set models, the pur-
pose of this paper is to introduce the concept of dual hesitant fuzzy soft sets. Then,
we present an adjustable approach to dual hesitant fuzzy soft sets based on deci-
sion making and some numerical examples are provided to illustrate the developed
approach.

Keywords Soft set - Dual hesitant fuzzy soft set - Level soft set

1 Introduction

Since existing uncertainty theories such as fuzzy sets [1], intuitionistic fuzzy sets
[2, 3] and interval-valued fuzzy sets [4] have their inherent difficulties, the soft set
theory, originally initiated by Molodtsov [5] as a new mathematical tool for dealing
with uncertainties, is free from the inadequacy of the parameterization tools of those
theories. Recently, research works on soft sets are very active and progressing rapidly
and many fruitful results have been achieved in the theoretical aspect by combining
soft sets with other mathematical structures [6—11].

Furthermore, Zhu et al. [12] proposed dual hesitant fuzzy sets [13, 14], which
encompass fuzzy sets, intuitionistic fuzzy sets, hesitant fuzzy sets, and fuzzy multisets
[15] as special cases, and investigated the basic operations and properties of DHFSs,
and then they gave the application of DHFSs in group forecasting. The DHFS is
a comprehensive set encompassing several existing sets, and whose membership
degrees and nonmembership degrees are represented by two sets of possible values.
Therefore, it has the desirable characteristics and advantages of its own and appears
to be a more flexible method to be valued in multifold ways according to the practical
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demands than the existing fuzzy sets, taking into account much more information
given by decision makers.

The purpose of the present paper is to present the new hybrid model called dual
hesitant fuzzy soft sets by combining dual hesitant fuzzy set and soft set, and attempt
to build up a general framework of the decision methodology based on dual hesitant
fuzzy soft set theory. Because the new hybrid model includes both ingredients of dual
hesitant fuzzy set and soft set, it is more flexible and effective to cope with imperfect
and imprecise information than dual hesitant fuzzy set and soft set.

2 Preliminaries

2.1 Soft Sets and Fuzzy Soft Sets

The concept of soft sets is defined as follows:

Definition 1 ([5]) Let U be an initial universe set and E be a universe set of para-
meters. A pair (F, E) is called a soft set over U if F : E — P(U), where P(U) is
the set of all subsets of U.

Combining fuzzy sets and soft sets, Maji et al. [7] initiated the following hybrid
model called fuzzy soft sets, which can be seen as an extension of both fuzzy sets
and crisp soft sets.

Definition 2 ([7]) Let U be an initial universe set and E be a universe set of para-
meters. A pair (F, E) is called a fuzzy soft set over U if F : E — F(U), where
F(U) is the set of all fuzzy subsets of U.

2.2 Dual Hesitant Fuzzy Sets

Definition 3 ([12]) Let U be a fixed set. A dual hesitant fuzzy (DHF, for short) set
D on U is described as:

D = {{x, Ap(x), gp(x))|x € U},

in which Ap(x) and gp(x) are two sets of some values in [0, 1], denoting the possible
membership degrees and non-membership degrees of the element x € U to the set
D respectively, with the conditions: 0 < v, < 1 and 0 < y" +n* < 1, where for
allx € U,y € hp(x),n € gp(x), 7" € hfi(x) = Uyenpymymax{y}. n™ € gfh (x) =
Uneg@(x)max{n}‘

For convenience, the paird (x) = (hp(x), gp(x)) is called a DHF element denoted
by d = (h, g). The set of all DHF sets on U is denoted by DHF(U).
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Remark 1 From Definition 3, we can see that it consists of two parts, that is, the mem-
bership hesitancy function and the nonmembership hesitancy function, supporting a
more exemplary and flexible access to assign values for each element in the domain,
and can handle two kinds of hesitancy in this situation. The existing sets, including
fuzzy sets, intuitionistic fuzzy sets, hesitant fuzzy sets, and fuzzy multisets, can be
regarded as special cases of DHF sets.

Example 1 Let U = {x1, x2} be a reference set. d(x1) = (hp(x1), gp(x1)) =
({0.3,0.4}, {0.7}) and d(x2) = (hp(x2), gn(x2)) = ({0.1, 0.5}, {0.3, 0.8}) be the
DHF elements of x; (i = 1, 2) to a set D, respectively. Then D can be considered as
a DHF set, that is,

D = {{x, {0.3, 0.4}, {0.7}), (x2, {0.1, 0.5}, {0.3, 0.8})}.

3 Dual Hesitant Fuzzy Soft Sets

In the section, we first propose the concept of dual hesitant fuzzy soft sets by inte-
grating dual hesitant fuzzy sets with soft sets.

Definition 4 Let (U, E) be a soft universe and ~A C E. ApairG = (ﬁ , A2 is called
a dual hesitant fuzzy soft set over U, where F is a mapping given by F : A —
DHF ().

In general, F (e) can be written as

F(€) = {(x, h oy (), 9 ) () € U},

where h Fe) (x) and 9F ) (x) are two sets of some values in [0, 1], denoting the
possible membership degrees and non-membership degrees that object x holds on
parameter e, respectively.

Remark 2 From Remark 1, we know that fuzzy sets, intuitionistic fuzzy sets and
hesitant fuzzy sets can be regarded as special cases of dual hesitant fuzzy sets.
Therefore, under certain conditions a dual hesitant fuzzy soft set can degenerate to
fuzzy soft sets, intuitionistic fuzzy soft sets and hesitant fuzzy soft sets, respectively.

For convenience, we degote F as (F ,E).If A C E, we can also denote a dual
hesitant fuzzy soft set by (F, A).

Example 2 Let U be a set of four participants performing dance programme, which is
denoted by U = {x1, x2, x3, x4}. Let E be a parameter set, where E = {eq, €2, e3} =
{confident; creative; graceful}. Suppose that there are three judges who are invited to
evaluate the membership degrees and non-membership degrees of a candidate x; to
a parameter e; with several possible values in [0, 1]. Then dual hesitant fuzzy soft set
G = (F, A) defined as below gives the evaluation of the performance of candidates
by three judges.
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Table 1 Dual hesitant fuzzy soft set S = (F, A)

Y. He

U el ey e3

X1 {0.6,0.7,0.8},{0.3,0.2,0.1} {0.5,0.6,0.4},{0.4,0.3,0.2} {0.4,0.4,0.3},{0.7,0.6,0.6}
X2 {0.4,0.5,0.6},{0.3,0.2,0.1} {0.5,0.4,0.3},{0.5,0.3,0.3} {0.5,0.7,0.7},{0.3,0.2,0.2}
X3 {0.8,0.7,0.7},{0.2,0.1,0.1} {0.7,0.8,0.8},{0.2,0.2,0.1} {0.5,0.6,0.7},{0.3,0.2,0.1}
X4 {0.3,0.4,0.4},{0.6,0.5,0.4} {0.5,0.6,0.6},{0.4,0.3,0.2} {0.7,0.6,0.8},{0.2,0.1,0.1}

F(e1) ={(x1,{0.6,0.7,0.8}, {0.3,0.2,0.1}), (x2, {0.4, 0.5, 0.6}, {0.3,0.2,0.1}),
(x3,{0.8,0.7,0.7}, {0.2, 0.1, 0.1}), (x4, {0.3,0.4, 0.4}, {0.6, 0.5, 0.4})},

F(e2) ={(x1, {0.5,0.6, 0.4}, {0.4,0.3,0.2}), (x2, {0.5, 0.4, 0.3}, {0.5, 0.3, 0.3}),
(x3,{0.7,0.8, 0.8}, {0.2,0.2, 0.1}), (xa, {0.5, 0.6, 0.6}, {0.4, 0.3, 0.2})},

F(es) ={(x1, {0.4,0.4,0.3},{0.7, 0.6, 0.6}), (x, {0.5,0.7, 0.7}, {0.3, 0.2, 0.2}),
(x3,10.5,0.6,0.7}, {0.3,0.2, 0.1}), (xs, {0.7, 0.6, 0.8}, {0.2, 0.1, 0.1})}.

The tabular representation of G = (F, A) is shown in Table 1.

All the available information on these participants performing dance programme
can be characterized by a dual hesitant fuzzy soft set & = (F , A).InTable 1, we can
see that the precise evaluation for an alternative to satisfy a criterion is unknown while
possible membership degrees and non-membership degrees of such an evaluation
are given. For example, we cannot present the precise membership degree and non-
membership degree of how confident the candidate x| performing dance programme
is, but we have a certain hesitancy in providing the membership degree and non-
membership degree of the candidate x| performing dance programme with respect
to the parameter confident e;. In other words, we provide three possible values 0.6,
0.7 and 0.8 to depict the degree of how confident the candidate x is and three possible
values 0.3, 0.2 and 0.1 to depict the degree of how confident the candidate x; is not.

4 An Adjustable Approach to Dual Hesitant Fuzzy
Soft Sets Based on Decision Making

Since DHF sets were introduced by Zhu [12], DHF set theory has been applied in
dealing with uncertainty decision making problems [16—18]. In the current section,
we shall present an adjustable approach to dual hesitant fuzzy soft sets based on
decision making problems.

Firstly, we introduce the score function of HF elements given by Xia and Xu to
compare two HF elements.
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Definition 5 ([19]) For a HF element &4 (x),

Zﬂ/ehA(x) Y

s(hp(x)) = 1ha ()

is called the score function of A (x), where [ (hp (x)) is the number of the elements
in Ay (x).

On the basis of the score function in Definition 5, we will further introduce the
concept of level soft sets of dual hesitant fuzzy soft sets.

Definition 6 Let G = (F, A) be the dual hesitant fuzzy soft set over U, where
A C FE and E is the parameter set. For (a, 8) € L*, the («, B)-level soft set of & is
a crisp soft set L(S; a, ) = (F(q,3), A) defined by

Flo.p)(e) = L(F(e); @, B) = {x € Ul(s(h () (X)), 5(g () () =1+ (v, B)}
= {x € Uls(hf,(¥) = a,5(g54,(0) < )

foralle € A.

To illustrate Definition 6, let us consider the dual hesitant fuzzy soft set (F ,A)
shown in Example 2.

Example 3 (The (0.5, 0.2)-level soft set of the dual hesitant fuzzy soft set &) Recon-
sider Example 2. Now taking ov = 0.5 and 8 = 0.2, then by Definitions 5 and 6, we
can obtain the following (0.5, 0.2)-level soft sets:

F0.502)(e1) = L(F(e1); (0.5,0.2))
={xe U|s(hﬁ(el)(x)) > O.S,S(Qﬁ(el)(x)) < 0.2} = {x1, x2, x3},

which implies that x{, x», and x3 are confident on the degree more than 0.5, and
X1, X2, and x3 are not confident on the degree less than 0.2.

F0.5,02)(e2) = L(F(e2); (0.5,0.2))
={x € Uls(hf(,,(¥)) = 0.5,5(gf(,,,(x) < 0.2} = {x3},

F0.502)(e3) = L(F(e3); (0.5,0.2))
= {x € Uls(hj,,,(x)) = 0.5, 5(gj,,,(x)) < 0.2} = {x3, x4}

In Definition 6, the level pair (or threshold pair) assigned to each parameter is
always the constant value pair («, 3) € L*. However, in some practical applications,
decision makers need to impose different thresholds on different parameters. To
address this issue, we replace a constant value pair by a function as the thresholds
on membership values and non-membership values, respectively.
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Definition 7 Let (I:" , A) be the dual hesitant fuzzy soft set over U, where A C E
and E is the parameter set. Let A : A — L* be an intuitionistic fuzzy set in A which
is called a threshold intuitionistic fuzzy set. The level soft set of & with respect to A
is a crisp soft set L(G; \) = (Fy, A) defined by

Fr(e) = L(F(e); M€)) = {x € Ul(s(hf () (x)), (o) (¥))) =1+ (pa(€), ()}
= {x € Uls(hp, (X)) = pale), s(gf () (X)) < vale)}

foralle € A.

In order to better understand the above definition, let us consider the following
examples.

Example 4 (The mid-level soft set of dual hesitant fuzzy soft set) Let & = (F, A)
be a dual hesitant fuzzy soft sets over U, where A C E and E is the parameter
set. Based on dual fuzzy soft set (I:" , A), we can define an intuitionistic fuzzy set
midg : A — L* by

1 1
Hmidg (€) = 17 D 5(h (X)), Vimidg (€) = T PIRICTINESND

xeU xeU

for all e € A. The intuitionistic fuzzy set midg is called the mid-threshold of the
dual hesitant fuzzy soft set &. In addition, the level soft set of the dual hesitant fuzzy
soft set G with respect to the mid-threshold intuitionistic fuzzy set midg, namely
L(G; midg) is called the mid-level soft set of & and simply denoted L(S; mid).
In the following discussions, the mid-level decision rule will mean using the mid-
threshold and considering the mid-level soft set in dual hesitant fuzzy soft sets based
decision making.

Let us reconsider the dual hesitant fuzzy soft set & = (F, A) with its tabular
representation shown in Table 1. The mid-threshold midg of & is an intuitionistic
fuzzy set and can be calculated as follows:

1 1
mide, (€1) = T > sl () = (0.7 405 +0.73 +0.37) = 0.8,
xeU

1 1
Unmids (€1) = Il > $@fey®) = 702402 +0.13+0.5) = 0.26,

xeU
1 1
fmide (€2) = o D5 (0) = 705+ 0.4+ 0.77 +0.57) = 0.56,
xeU
1 1
Viids (€2) = T gjs(gﬁ(m(x)) = (0340374017 +03) =029,

1 1
pmide; (€3) = T D 5oy () = (037 +0.63+0.6 +0.7) = 0.58,

xeU
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Table 2 Tabular representation of L(S; mid)

U el e e3 Choice value (c;)
X1 1 0 0 c1 =1
X2 0 0 1 =1
X3 1 1 1 c3=3
X4 0 0 1 cqg =1

1 1
Umidg (€3) = i > 5@ () = 7063 40.23+02+0.13) = 0.30.
xeU

Therefore, we have
midg = {{e1, (0.58, 0.26)), {e2, (0.56, 0.29)), {e3, (0.58, 0.30))}.

The mid-level soft set of G is a soft set L(S; mid) = (Fmid@, , A) and it can be
calculated as follows:

F0.58.026)(e1) = L(F(e1); (0.58,0.26))
= {x € Uls(hf,,,(x) = 0.58,5(gj,, X)) < 0.26} = {x1, x3},

F(0.56,029)(€2) = L(F(e2); (0.56,0.29))
= {x € Uls(h (%)) = 0.56,5(g,,,(x)) < 0.29} = {x3},

F(0.58,030)(€3) = L(F(e3); (0.58,0.30))
={x € Uls(hp(,,)(*) = 0.58,5(g 5, (X)) = 0.30} = {x2, x3, x4}.

Table 2 gives the tabular representation of the mid-level soft set L(&; mid). If x; €

Fiags (), then x;; = 1, otherwise x;; = 0, where x;; are the entries in Table 2.

Example 5 (The top-bottom-level soft set and bottom-bottom-level soft set of dual
hesitant fuzzy soft set) Let & = (I:“ , A) be a dual hesitant fuzzy soft sets over U,
where A C E and E is the parameter set. Based on the dual hesitant fuzzy soft set
S = (F, A), we can define an intuitionistic fuzzy set top — bottomg : A — L* by

Hrop—bottomg (€) = I;leag/( S(hﬁ(e) (%)), Vtop—bottoms (€) = ?él(ljl S(gﬁ(e) (*)),

for all e € A. We can also define an intuitionistic fuzzy set bottom — bottomg :
A — L* by

Hbottom—bottome (€) = ?élll} s (hﬁ(e) (%)), Vbortom—bottome (€) = ?éllljl S (gﬁ*(e) (%)),
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foralle € A.

The intuitionistic fuzzy set top — bottom g is called the top-bottom-threshold of
the dual hesitant fuzzy soft set &. In addition, the level soft set of the dual hesitant
fuzzy soft set G with respect to the top-bottom-threshold intuitionistic fuzzy set
top — bottomg, namely L(S; top — bottomg) is called the top-bottom-level soft
set of G and simply denoted L(S; top — bottom). In the following discussions,
the top-bottom-level decision rule will mean using the top-bottom-threshold and
considering the top-bottom-level soft set in dual hesitant fuzzy soft sets based on
decision making.

The intuitionistic fuzzy set bottom — bottomg is called the bottom-bottom-
threshold of the dual hesitant fuzzy soft set G. In addition, the level soft set of the
dual hesitant fuzzy soft set & with respect to the bottom-bottom-threshold intuition-
istic fuzzy set bottom — bottomg, namely L(S; bottom — bottomg) is called the
bottom-bottom-level soft set of G and simply denoted L(S; bottom —bottom). The
bottom-bottom-level decision rule will mean using the bottom-bottom-threshold and
considering the bottom-bottom-level soft set in dual hesitant fuzzy soft sets based
on decision making.

We reconsider the dual hesitant fuzzy soft set & = (F, A) with its tabular rep-
resentation shown in Table 1. The top-bottom-threshold top — bottomg of G is an
intuitionistic fuzzy set and can be given as follows:

top — bottome = {(e1, (0.73,0.13)), {e2, (0.77, 0.17)), (e3, (0.7, 0.13)}}.

The top-bottom-level soft set of G is a soft set L(S; top —bottom) = (P:top_;,,,,mmG ,
A) and it can be calculated as follows:

Frop—bottome (€1) = L(F (e1); (0.73, 0.13))
={x € Uls(hj,,,()) = 0.73, 5(gj,,,(x)) < 0.13} = {x3},

Frop—bottome (€2) = L(F (e2); (0.77,0.17))
= {x € Uls(h ) (%)) = 0.77,5(g(,,, (X)) < 0.17} = {x3},

Frop—bottomes (€3) = L(F(e3); (0.7, 0.13))
={x € Uls(h o) (1)) = 0.7, 5(g (o) (¥)) < 0.13} = {xa}.

Table 3 gives the tabular representation of the top-bottom-level soft set L(G; top —
bottom). If x; € Ftop_bmomg (ej), then x;; = 1, otherwise x;; = 0, where x;; are
the entries in Table 3.

Similarly, the bottom-bottom-threshold bottom — bottomg of G is an intuition-
istic fuzzy set and can be given as follows:

bottom — bottomg = {{e1, (0.37,0.13)), (e2, (0.4, 0.17)), (e3, (0.37, 0.13))}.
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Table 3 Tabular representation of L(&; top — bottom)

U el e e3 Choice value (c;)
X1 0 0 0 c1 =0
X2 0 0 0 =0
X3 1 1 0 c3=2
X4 0 0 1 cqg =1

Table 4 Tabular representation of L(S; bottom — bottom)

U el e e3 Choice value (c;)
X1 0 0 0 c1 =0
X2 0 0 0 =0
X3 1 1 0 c3=2
X4 0 0 1 cg =1

The bottom-bottom-level soft set of & is a soft set L(&; bottom — bottom) =
(Fpottom—bottoms » A) and it can be calculated as follows:

Fpottom—bottoms (€1) = L(F(e1); (0.37,0.13)) = {x3},
Fpottom—bottoms (€2) = L(F (e2); (0.4,0.17)) = {x3},
ﬁbottom—bottomg (e3) = L(F(e3); (0.37,0.13)) = {x4}.

Table4 gives the tabular representation of the bottom-bottom-level soft set L(G;
bottom — bottom). If x; € Fportom—bortome (€j), then x;; = 1, otherwise x;; = 0,
where x;; are the entries in Table 4.

In what follows we will establish an adjustable approach to dual hesitant fuzzy
soft sets based on decision making with six steps:

Algorithm 1

Step 1. Input a dual hesitant fuzzy soft set & = (F, A).

Step 2. Input a threshold intuitionistic fuzzy set A : A — L* (or give a threshold
value pair («, ) € L*; or choose the mid-level decision rule; or choose the top-
bottom-level decision rule; or choose the bottom-bottom-level decision rule) for
decision making.

Step 3. Compute the level soft set L(S; \) of & with respect to the threshold
intuitionistic fuzzy set A (or the («, 3)-level soft set L(S; (v, (3)); or the mid-level
soft set L(S; mid); or the top-bottom soft set L(S; rop — bottom); or the bottom-
bottom soft set L(S; bottom — bottom)).

Step 4. Present the level soft set L(S; A\) (or L(S; (o, B)); or L(G; mid); or
L(S; top — bottom); or L(S; bottom — bottom)) in tabular form. For any x; € U,
compute the choice value c¢; of x;.

Step 5. The optimal decision is to select xi if cx = maxc;.

1
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Step 6. If £ has more than one value then any one of x; may be chosen.

It should be noted that if there are too many optimal choices in Step 6, we may
go back to the second step and change the threshold (or decision rule) such that only
one optimal choice remains in the end.

Remark 3 The primary motivation for designing Algorithm 1 is to solve dual hesitant
fuzzy soft set based decision making problem by using level soft sets initiated in this
study. By choosing certain thresholds or decision strategies such as the mid-level or
the top-bottom-level decision rules, we can convert a complex dual hesitant fuzzy
soft set into a crisp soft set called the level soft set. Thus we need not treat dual
hesitant fuzzy soft sets directly in decision making but only deal with the level soft
sets derived from them, which provides us great convenience to decision making.

To illustrate the basic idea of Algorithm 1, we give the following example.

Example 6 Let us reconsider the decision making problem that involves the dual
hesitant fuzzy soft set & = (F, A) with tabular representation as in Table 1. Sup-
pose that we deal with the decision making problem by mid-level decision rule. In
Example 4, we have obtained the mid-level soft set L(S; mid) of & with respect to
the threshold intuitionistic fuzzy set midg with its tabular representation given by
Table 2.

In Table 2, we can calculate choice values as follows:

ci=140+0=1,
co=0+0+1=1,
c3=14+1+1=3,
c4=04+0+1=1.

From the choice value listed in Table 2, we can conclude that the ranking of the
four candidates is x3 > x| = x2 = x4, and the best choice is x3.

Next, we use the top-bottom-level decision rule to handle the decision making
problem. Table3 gives the tabular representation of the level soft set L(S; top —
bottom) of G. From Table 3, it follows that the ranking of the four candidates is
X3 > X4 > X1 = X2, and the optimal decision is still to select x3.

5 Conclusion

In this study, we propose the concept of dual hesitant fuzzy soft sets. Meanwhile,
an adjustable approach to dual hesitant fuzzy soft sets based on decision making
is proposed by using level soft sets and we also illustrate this novel method with
some concrete examples. This new proposal is proved to be not only more suitable
but more feasible for some real-life applications of decision making in an imprecise
environment.
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In the future, we can further investigate level soft set approach to decision making
based on other extensions of hesitant fuzzy soft set theory, such as interval-valued
hesitant fuzzy soft set theory and dual interval-valued fuzzy soft set theory.
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Extremal Trees of Terminal Wiener Index

Dan-fang Chen, Fu-yi Wei, Hong-ying Zhu,
Yang Wu and Shan-zhang Nong

Abstract The generalized Terminal Wiener Index is the sum of distances between
each pair of vertices of degree k. In this paper, we proved the conjecture of reference
[1]: when k > 4, the generalized terminal Wiener index of trees reaches its maximum
value at Ty kp caterpillars. We also determined the corresponding p value of the
extremal graph.

Keywords Wiener index : Generalized terminal wiener index + Maximum -
Extremal graph - Caterpillar

1 Introduction

Let G = (V, E) be a connected simple graph with vertices set V (G) = {v,
va,...,v,} and edge set E (G) = {ey, ea, .. ., e, }. The number of edges connected
with vertex v is called the degree of vertex v, denoted by (v). The vertex with its
degree being one is called a pendent vertex. The distance d(u, v) is defined as the
shortest path between u and v in G. If, for each pair of vertices u and v in G, the
path u — v exists, then graph G is called a connected graph. A tree, denoted by T, is
a connected simple graph with no circle. Deleting an edge e from 7 but retaining its
vertex, is denoted by 7' — e while T 4 e stands for adding an edge between vertices
u and v on T. The caterpillar can be obtained by connecting the pendent vertices
nj(n; >0,i =1,2,...,5 — 1) to the vertices of the path = vyv| ... vs, denoted by
T(n,s;niny...ng_1) [2]. To k subdivide an edge e is to replace the edge e with a
path Pyy1.
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Chemical graph theory is closely related to the chemical molecular graphs. In a
simple undirected graph, if every vertex represents one atom of the molecule while
each edge represents the chemical bond between atoms, then such graphs are defined
as molecular graphs. A topology index of molecule graph is a mapping form molecule
graph to the real number set. The topology index of molecule played an important
role in of QSPR [1, 3, 4] researches. Further more, with the application of graph
theory in Cryptography, communication system and Internet, the topology index has
also been more and more applied in other subjects.

In 1947 [5], when Wiener was studing the boiling point of the alkane molecule, he
defined the Wiener Index: W(G) = >_, ,cy(g) d(u, v); Gutman and his coworkers
introduced the terminal Wiener index TW(G) =2, .oy d(u, v) in their

deg (u) =deg (v) =1
paper published in 2009 [3]. Ili¢ and Ili¢ extended the terminal Wiener index to
generalized terminal Wiener index T Wy (G) = > 1w veV(G) d(u,v) in their
deg (u) =deg (v) =k
paper published in 2013 [1] and at the same time, both the upper bound together with
the extremal graph of the generalized terminal Wiener index on n-vertex tree when
k = 3 and a conjecture when k > 3 were given.

This paper studied the mathematical properties of the generalized terminal Wiener
index of Tj, r, , caterpillars, proved the conjecture of article [1], that is, when k > 4,
the generalized terminal Wiener index reaches its maximum value at T}, ¢ , caterpil-
lars. Additionally, we have figured out the corresponding p value when 7 Wy, reaches
its maximum value and have worked out the extremal graph.

2 Preliminary Study and the Proof to the Conjecture

When there is only one k-degree vertex in tree, T Wy = 0. In this paper, we assume,
there are 2 k-degree vertexes at least. We say a tree T is k-bounded if all vertices of
T have degree less than or equal to k.

The lemmas below are to provide theoretical support for the subsequent research
and then enable us to prove the conjecture proposed in article [1].

Lemma 2.1 ([1]) The number of vertices of degree k (k > 2) in a tree with n vertices

is no more than
n—2

k—1

J

m=|

Ty i, p represents the caterpillar created by attaching pendent vertices to p vertices
of path P from either end of the path to the middle successively and symmetrically,
Tk p=Tm,s5k—=2,...,k—=2,2,...,2,k—=2,...,k—2), as shown in Fig. I.

—_— ) ———

[p/2] s—p—1 [p/2]

Lemma 2.2 ([1]) The generalized terminal Wiener index of T, k. p is calculated as:
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Fig. 1 The T, , , caterpillar

Vo Vi vU;Q +1 v:-rp/.’] Vs-1 Vs

L 2_ 2_ _ . .
™W, (Tn,k,p) =1, 12p(3np—}—5p 3kp —2 6p), lfPlS efven
@+ D(p—-1)@n+5p—3kp—06), if pisodd

Lemma 2.3 ([1]) Let T be a tree with n vertices (n > 4). Then
TW3(T) < TW3(Ty,3,[n/21-1)

with the equality holds if and only if T = T, 3 [n/2]-1-

Lemma 2.3 demonstrates the extremal tree of n-vertex tree when £k = 3 and
the next lemma will prove that the generalized terminal Wiener index reaches its
maximum value at T}, i , caterpillars when k > 4.

Theorem 2.1 For k > 4, the generalized terminal Wiener index reaches its maxi-
mum value at 7, i, caterpillars.

Proof We assume that the number of vertices of degree k is greater than two.

If T* is not a k-bounded caterpillar, consider a branching vertex w such that in the
subtree under w there are only k-bounded caterpillars attached at w (it can happen
that there are only pendent vertices attached to w). Let T'1 and T be two caterpillars
attached at o, such that T’y has p vertices vivy...v, of degree k, and T'; has ¢
vertices uiuy . . . uq of degree k, subgraph G has r vertices of degree k, with r > 2
and r > p > q, as shown in Fig.2 on the left.

Letay, ay, ..., ap be the distances from the vertex w to the vertices vy, va, ..., vp
and by, by, ..., by be the distance from the vertex w to the vertices uy, uz, ..., uy
respectively.

Let D(w) be the sum of distances from the vertex w to each vertex of degree k in
the subgraph G. s denotes the distances between v and w, as shown in Fig.2 on the
left.

(2<i<k) (2<i<k)
E202 ke k2 b kekoky kbl | k242
ATSRAY, YWV VYV %
G 2 Vp Vs G Vi V2 s Vs Ur Ug

Fig. 2 T* before the operation (left) and T™ after the operation (right)
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Operation A: Attach caterpillar 7, to the end of caterpillar 77 while keep the degree
of w unchanged, as shown in Fig. 2 on the right. If the degree of vertex u( in 7, which
is adjacent to w is greater than 2, then move pendent vertices uqy, uo2, - - - , 4ox (0 <
x < k — 2) attached to ug to the pendent vertex vy of 77 which is most distanced
from w, as shown in Fig. 2.

The operation above can be denoted by

T =T% — uour + veur — (uouor + uotton + -+ + uotoy)
+ (vsuor + vsupz + -+ + Vsuox)

The generalized terminal Wiener index of T* and T’ after Operation A can be
calculated as follow:

TWi (T*) =TWi(G) + (p+q) D (w) + r (Z; ai + ijlbf)

+ Zi<j(dj —a) + Zi<j(bj —bi) + quzl ai + ijlbj

W (') =TWe ) + p+ 9 D@ +r >
+r [q (s—1) + Z’]’.ZI b,} - ij(aj —a;) + zi<j(bj — b))
+alpe -0 =" @+ pZ';:lbj

By computation, we get

aj

, P
TWi (1) = TWi (T") =rg s = D+pa =1 =20 > @
Since (s — 1) >a, >a; (i =1,2,..., p) and > p, we have

TW (1) =TWe (1) =g =D+ m =23 a]=2D ) (s=D=a)=0

With the equality holdsifand only ifr = p =g = land (s — 1) = ap, org =0.
Therefore, such operations will not reduce the value of the generalized terminal
Wiener index.

Operation B: If d (vo) > k, then we remove d (vp) — k pendent vertices attached
to vo and use these vertices to subdivide vov;.

Apparently the generalized terminal Wiener index will remain increase after
Operate B.
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By applying Operation A finite times, we can transform 7 into a caterpillar and
it will further turned into a k-bounded caterpillar by operating Operation B for finite
times.

Otherwise, we can remove the edges of the pendent path one by one, and use
them to subdivide some edge e, so that both sides of e contain k-degree vertices. Or
we can attach those removed pendent vertices to some non-pendent vertex on whose
degree is less than k and turn them into k-degree vertices. In this way, 7 W will be
increased. By this way, we can transform the vertices of 7* that is greater than 2 but
less than k into2-degree vertices or k-degree vertices, which increase 7' Wy further.
The above two results both contradict the choosing of 7*.

After applied all the operations above, assume there are p(p > 2) k-degree
vertexes and h(h > 0)2-degree vertexes on T*, then we rearrange those 2-degree
vertices so that there are no k-degree lie between them, and there are x k-degree
vertices and p — x k-degree vertices lie on each side of the path. Then the generalized
terminal Wiener Index of 7™ is calculated as:

1 1
TW (T%) = 2 (= Dx G+ D+ c(p—x=D(p-x)(p—x+1)

+x(p—x)(h+l)+%x(x—1)-(p—x)
1
+§(p—X)(p—x—1)-x

AL N P
= h(x 2) + o+ ghp’ = p.

As can be seen from the formula, T Wy, (T*) reaches its maximum when x = [p/2]
or x = [p/2], namely, when k-degree vertices are equally distributed in the two
sides of path, the generalized terminal Wiener Index of 7* achieve its maximum. In
conclusion, the maximum 7 Wy, of the generalized terminal Wiener index is achieved
on T, i, p caterpillar. O

3 The Generalized Terminal Wiener Index of Trees

Based on Theorem 2.1, for any given n, k, the maximum value of the generalized
terminal Wiener index and its extremal graph can be determined as the corresponding
value of p of T Wy (T,,k,p) is determined.

Suppose y = f(p) = TWy (Tn,k, p), we now determine the value of p when
y = f (p) reaches its maximum value, for even and odd p respectively.

For the function of T Wy (T;,.x,,) vary from an even p to an odd p, when n > 4,
they must be discussed separately as follow:

(1) If p is even, according to Lemma 2.2, we have
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TWi (Tukp) = f (p) = —p(3np+5p ~3kp? —2 - 6p)

Apparently, the curve of y = f (p) goes through point (0, 0). In addition, let
3np + 5p% —3kp? —2 —6p = 0, then A = 9(n — 2) + 8(5 — 3k). For n > 2k,
thus A > 0. Therefore, there are 2 distinct real roots to this equation, denote them by
P1, P2, by Vietatheorem and p p> > 0, p1+ p2 > 0, we know that p; > 0, p» > 0.

Therefore, there are 3 zero-points: 0, p; and p; and of y = f (p) and since the
coefficient of the cubic term of —(3k — 5) < 0, as shown in Fig. 3 on the left.

Take a derivative of y = f (p), we have

f(p) = [ 9k — 15) p* + (6n — 12) p — 2]

Let f/ (p) = 0, and we have

V9 —2)2+6(5—3k) +3(n —2)
N 9% — 15

(ii) If p is odd, by Lemma 2.2 we have

TWi (Twk.p) = f(p) = 2(erl)(p—1)(3n+5p—31qv—6)

Apparently, there are 3 zero-points: —1, 1, gz g’ > 0 of y = f (p). Since the

coefficient of the cubic term of —(3k — 5) < 0, as shown in Fig. 3 on the right.
Take a derivative of y = f (p), we have

fl(p)= %[—(% —15)p* + (6n — 12)p + 3k — 51,

Let f ( p) = 0, we have arrest point

V9 —2)2+3(3k — 152+3(n — 2)
N 9% — 15 '

Fig.3 y=1{(p),if piseven ‘
(left), if p is odd (right) fip) f(p)
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Obviously y = f (p) > 0 when p > 0. As can be seen from the figure, f (p) is
monotone increasing when 0 < p < po, vice versa.

According to Lemma 2.1, the maximum value of p ism = L%J Hence to find

out the maximum value of f (p), we should first determine which of m and py is the
larger one.
By direct computation we have

Lemma 3.1 Fork >4,n> 2k, ;=7 >p0
Lemma 3.2 Fork>4, f(po—1)> f(po+1).

Proof If p is even:
Since f' (po) = 15 (15p% — 9%kp3 + 6npo — 12pg — 2) = 0, we have

fpo—1D—=fpo+1

1
12[3’1(1?0—1) +5(p0— 1> =3k (po— * =2 (po — 1) = 6 (po — 1?]

— o [Br o+ 17 + 50+ 1P~ 3k (o + 1P = 2p0+ 1) — 6 (po + 1))
1 5 2 1
=-2x (15p0 — 9kpZ + 6npo — 12pg — 2) + 2 Bk=3).
1 1
=—2f/(po)+6(3k—5) = 8(3k_5) >0,
Thus f (po — 1) > f (po + 1) always holds when k > 4.
Similarly, the same conclusion can be drawn if p is odd. (I

Suppose that P, makes T Wy (T,.x,p) reaches its maximum value when p is
even, P¥,, makes T Wy (T, x,») reaches its maximum value when p is odd.

Theorem 3.1 For positive integer k > 4, n > 2k, suppose P;* € {P},,,, Py}, then
(l) when m and p have the same parity, or m and p have different parity but

k 1—1>P0

X {L pon |po] and p have the same parity
pt = >
LpOJ —12k [p()], |po] and p have different parity
(2) when m and p have different parity but, & T —1=<po, P} = L = 1J 1.
A/ 9(n—2)2+6(5-3k)+3(n—2) . . A/ 9(n—2)2+3(3k—5)2+3 2
where pg= (n=2) 9k(—15 )+3(0=2) if pisevenand pyg= (n=2) 9k( B ) +3=2)
if p is odd.

Proof If p is even

(1) If m is even, the upper bound of P is pyqx = m = L%J
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For % > po always holds (see Lemma 3.1), pyax > Lpol.
Therefore, the range of py,qx 1S

Pmax = LPOJ(LPOJ is even or Pmax > PO)

As shown in Fig. 3 on the left, when p,,qx = | po], f (p) is monotone increasing,
S0 PJoy = Pmax = Lpol(Lpol iseven). If pax > po. f (p) reaches its maximum
value at p = pg, so under this circumstance, T Wy (Tn,k, p) reaches its maximum
value at either of the 2 evens near po, or at pg if pg is an even integer.

Therefore, P, is bound to be the even that is closest to pg and if po happens to
be even, then P}, is po.

() If Lpo] is even, P, = Lpo]

When | po| = po, apparently it’s true that P}, = po = |pol.

When [ po] # po, Lpol # po and | po] + 1 are the two even that are closest to
po-
Since according to Lemma 3.2, f (po — 1) > f (po + 1) always holds

fpo) > f(po—1 > f(po+1) > fUpol+1), Pk, = Lpol

(i) If [po] is odd, P\, = Lpol — 1or[po]

For | pol = po, po — 1 and pg + 1 are the two even that are closest to py and for
f(po—1)> f(po+1)alwaysholds, P}, = po—1=[po] — 1.

When [ po] # po, Lpol — 1 and [pg] are the two even that are closet to pg. So
when (Lpo] — 1) > f(Tpol), Plen = Lpol — 15 when f (Lpol —1) = f(Tpol),
Plien = Lpol — Tor [pol; when f (Lpol —1) < f(TpoD. Ppen = [P0l

(2) If m is odd, the maximum of p is

_ | — n—2 | — n—2 |
L ~lk—1

: -2

(1) For ZT] — 1< po, pmax < Lpol.

As can be seen from Fig.3 on the left, under such circumstances, f (p) is
monotone increasing, so it reaches its maximum value when p = p;,,.. Therefore,

N n—2
Peven:pmax: k—1 -1

(i) When Z%% — 1> po, Pmax = Lpol, we have

If | po] is an even, P}, = |pol,if Lpol is an odd, P}, = |pol — lor [po].
In conclusion, when p is an even, the value of P}, is determined as follow:
if m is even, or m is odd, but % — 1> po,

o _ Lpol, if [po]is even
Peven = Lpol — 1 or [po], if [polis odd
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if m is odd and =% — 1 < py,

n—2
p:venz\‘k_lJ_l

Similarly, when p is an odd, the value of P:d 4 can be deduced.
Combining the two cases mentioned above, we may arrive at Theorem 3.1.  [J

Theorem 3.2 can be drawn from Lemma 3.1 and Theorem 3.1.

Theorem 3.2 For k > 4, n > 2k, suppose that T is an n-vertex tree, then
TWe (1) = max {TWi (s, ) Wi (Tuiry, )}

where P}, and P, is determined by Theorem 3.1.

Conclusions of this paper are applied and we can follow the following steps to
work out the maximum value of the generalized terminal Wiener index of n-vertex
(n > 2k) tree:

(1) Determine the value of P

*
even

(2) Determine which of TWy (Tnvk’szen) and TWx (Tn*k*Pzdd) is the greater one,

and given the maximum value.
(3) Determine the extremal graph.

and Pzdd by Theorem 3.1.

4 Conclusion

This paper proved the conjecture of reference [1]: when k > 4, the generalized
terminal Wiener index reaches its maximum value at 7,  ,, caterpillars. Furthermore,
we have worked out the maximum value of the generalized terminal Wiener index
of n-vertex tree and its extremal graph.
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A Time-Sensitive Targets System Simulation
Model Based on Extendsim

Tan Kai-jia and Wang Rui

Abstract Precision strike of time-sensitive targets requires high-efficiency systems
to perform surveillance, reconnaissance, tracking, command, control, striking and
effect evaluation in limited time accurately. This paper analyzes architecture and
operational process of time-sensitive targets systems, and presents a discrete-event
simulation model of time-sensitive targets system. Within the model, target generat-
ing and evolving, reconnaissance plane, command and control, fire strike shooter are
modeled based on ExtendSim. Simulation rationale and simulation model in typical
scenario is built. The joint military planner can assess mission success probability
and average length of kill chain, and study variations and sensitivities in a controlled
manner among different plan of weapon resources by the simulation model.

Keywords Time-Sensitive Targets + Simulation - Evaluation *+ Extendsim

1 Introduction

Time-sensitive targets (TST) are that which have the actual threat, potential threat
or very highly value. TST occur randomly and its striking opportunity is restrained
by time window. TST usually include transient maneuver warfare target (such as
armored forces, surface ships, submarines, etc.), mobile warfare facilities (such as
mobile missile launchers, mobile warning, communications and command facilities,
vehicles for weapons of mass destruction) and the facility with time limited strike
(such as buildings in which terrorists hide or bridges enemy tactical units expected
to pass, etc.) [1].
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Precision strike of TST requires to be completed in a very short period of time, and
needs to combine sensors, command and control (C2) and fire strike weapons to con-
struct system of systems to rapid accurate detection, rapid scientific decision-making
and rapid precision strikes in close coordination and cooperation. As the improve-
ment of information technology, networking, systematic and precise level for weapon
equipment, the system of systems for striking TST is continuous improved, and that
provides a solid material foundation for performing a task of striking TST. However,
how to make the plan of weapon to construct system of systems scientifically accord-
ing to operational missions, battle environment and operational targets becomes a
major issue for joint operation commander to resolve.

A lot of research on system of systems modeling, weapon allocation and man-
agement of targets were conducted. Woitalla [2] described the system of systems
architecture and studied a joint approach for target management for the precision
strike of TST. William [3] analyzed the relationship among sensors, C2 and fire strike
weapons with TCT matrix, and built TST relationship model. Luo [4] established
TST evaluation mathematical models. However, the above research mainly stud-
ied decision-making problem of TST striking weapon system based on analytical
method and cannot descript TST complex and dynamic mission process accurately.
Johnson [5] studied the application of common relevant operational picture (CROP)
on description of architecture and evaluation of effectiveness for striking TST, and
established TST system model based on CROP by event graph method. But event
graph method is not strong on time characteristic modeling, and the operational time
node must be determined before modeling. So, event graph method cannot describe
operation coordination, cooperate, synchronization of operational process of strik-
ing TST accurately. This paper analyzes architecture and operational process of TST
system, and designs a discrete-event simulation model for TST system. Mission suc-
cess probability and average length of kill chain to TST is given as TST operational
effectiveness index. The simulation rational is provided and the evaluating effec-
tiveness simulation model for typical striking TST is built. That helps to improve
effectiveness of striking TST by allocating weapon resources properly based on the
simulation.

2 Analysis of Architecture and Operational Process
of Striking TST

2.1 Architecture of Striking TST

System of systems for striking TST is mainly composed of Sensor node, C2 node,
fire strike shooter node and each node is integrated for interconnected network via
data link to complete surveillance, reconnaissance, identification, decision-making,
tracking, and evaluation for TST.
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Sensors include reconnaissance satellites, unmanned reconnaissance aircraft, bat-
tlefield surveillance aircraft, etc. and the main function is surveillance, reconnais-
sance in detail, tracking and effectiveness evaluation. C2 includes ground command
center, airborne warning and control system, etc. and the main function is to com-
mand and control sensor node and fire strike node, achieve information fusion of
each sensor, analysis and identify targets and use of sensor node and fire strike node
jointly and collaboratively according to targets, battlefield environment and the per-
formance and dynamic quantity of fire strike weapons. Fire strike shooter include
air-based, sea-based and land-based long-range missiles, unmanned attack aircraft,
attack fighters and bombers, etc. and the main function is to strike against TST rapidly
and precisely via the guidance instructions of sensor network and decision-making
of C2.

2.2 Operational Process of Striking TST

The operational process of striking TST is composed of intelligence, surveillance
and reconnaissance, C2, fire strike and impact assessment. Intelligence, surveillance
and reconnaissance for battlefield is completed by reconnaissance satellites, recon-
naissance aircraft and others sensors. Real-time battlefield awareness, navigation and
intelligence information are shared for other operational process via data link. As
suspected TST are detected, C2 node determines TST according to details of TST
by reconnaissance aircraft, and allocates fire strike shooter to strike TST precisely
under instructions guide of intelligence, surveillance and reconnaissance according
to battlefield conditions, target property and fire strike shooter capability. Then TST
impacted information by sensors is feedback to C2 node for effect assessment and
further decisions. The operation process of striking TST is shown in Fig. 1.

Real-Time Battlefield Awareness,

Intelligence Navigation and Intelligence Information
Surveillance
Reconnaissance Details of TST Gui dar}ce Effect.
y Instructions Information
p{ Command
Control
Suspected TST ontro
A
A 4
» Fire
Allocation of Fir]l ~ Strike
Strike Shooter Precisi v
Strike Effect
Assessmen
Effect Feed back |

Fig. 1 The operation process of striking TST
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3 Model Design

3.1 TST Model

TST is the drive of the striking TST operation process. TST model describes target
type, target length, target threat degree, generating time, exposure time window and
striking time window. Target types includes maneuver warfare target, mobile warfare
facilities and the facility with time limited strike. Target threat degree, as the priority
decision basis to allocate target to fire strike shooter for C2, is divided into three
levels: serious, heavier and generally. Generating time is the time that TST exposes.
Exposure time window is the period from generation to departure or hide for TST.
TST may be only detected by overhead reconnaissance satellites. Otherwise, TST
will be missed and the striking task for TST fails. Striking time window is the period
from being detected to departure or hide for TST. Striking TST has to be finished
during striking time window, otherwise TST will be missed and the striking task for
TST fails. So, whether to complete tasks during exposure time window and striking
time window are the key restricting factors for striking TST task. Generating time,
exposure time window and striking time window of different TST are different and
random, and the random distribution and distributed parameter can be estimated
based on combat experience.

3.2 Reconnaissance Aircraft Model

Reconnaissance aircraft model describes reconnaissance aircraft type, dynamic quan-
tity, reconnaissance capability, time to fly to the TST area and time to assess striking
effect of TST. Reconnaissance aircraft is divided into two types: manned reconnais-
sance aircraft and unmanned reconnaissance aircraft. It is assumed that one recon-
naissance aircraft only conducts reconnaissance for one TST and reconnaissance
ends when striking time window closes or assessment over. The reconnaissance
capability is the probability that the reconnaissance aircraft can reconnoiter TST.
Reconnaissance capability among different reconnaissance aircraft to different TST
is also different. The probability that high resolution aircrafts reconnoiter small length
TST is high, otherwise, the probability that lower resolution reconnoiter is low. The
time for reconnaissance aircraft flying from standby area to TST is random, and the
random distribution and distributed parameter can be estimated based on combat
experience. The reconnaissance capability is also modeled by the binomial distri-
bution. The number of reconnaissance aircraft is limited. When no reconnaissance
aircraft available, lower priority TST needs to be queued for reconnaissance aircraft
in an available state, and higher priority TST can be reconnoitered in a priority.



A Time-Sensitive Targets System Simulation Model Based on Extendsim 365

Table 1 Part of
reconnaissance aircraft
allocation rules

Allocation rule | Description

Rulel If there is a TST detected and there is
reconnaissance aircrafts available

Then allocate a reconnaissance aircraft to
the TST

Rule2 If there is a TST detected and TST’s
priority is low and there is no
reconnaissance aircrafts available

Then the TST queues for a
reconnaissance aircraft in available
Rule3 If there is a TST detected and TST’s
priority is high and there is no
reconnaissance aircrafts available

Then stop reconnaissance for the TST
with lower priority, allocate the
reconnaissance aircraft to the TST with
high priority, and the TST with lower
priority queues for a reconnaissance
aircraft in available

3.3 C2 Model

C2 model is the core of the whole system of systems, and include reconnaissance
aircraft allocation decision model, TST analysis model, fire strike shooter allocation
decision model and effect analysis model. Reconnaissance aircraft allocation deci-
sion model describes allocation rule considering reconnaissance capability, priority
of TST, matching relationship between reconnaissance aircraft and TST and available
state of reconnaissance aircrafts. Part of rules is shown in Table 1. Fire strike shooter
allocation decision model describes allocation rule considering fire strike capability,
priority of TST, matching relationship between weapon and TST and available state
of fire strike shooter. TST analysis model describes time in TST analysis and the
probability of correct target identification. Effect analysis model describes time in
effect analysis and the probability of correct effect identification. The time in TST
analysis and the time in effect analysis are random, and the random distribution and
distributed parameter can be estimated based on combat experience. The probability
of correct target identification and the probability of correct effect identification are
modeled by the binomial distribution.

3.4 Fire Strike Shooter Model

Fire strike shooter model describes type of fire strike shooter, dynamic quantity, fire
strike capability and strike duration. Fire strike shooter is divided in two types:
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long-range strike weapons and their platforms (such as destroyers and bombers
equipped cruise missiles) and close-distance strike weapons and their platforms
(such as bombers and attack aircrafts equipped precision-guided munitions). Fire
strike capability is related to strike accuracy, kill probability, firing range and TST’s
size, mobility and feature. So, different fire strike capability to different TST is
different. Strike duration of long-range strike weapons includes platform preparing
duration that from the time receiving command to the time launching and weapons
flight duration that from the time launching to the time TST stroked. Because of the
short duration from the time launching to the time TST stroked, it can be neglected.
Then strike duration of close-distance strike weapons equals to platform preparing
duration. Platform preparing duration and weapons flight duration are random, and
the random distribution and distributed parameter can be estimated based on combat
experience. The number of fire strike shooter is limited. When no fire strike shooter
available, lower priority TST needs to be queued for fire strike shooter in an available
state, and higher priority TST can be allocated in a priority.

3.5 Effectiveness Index Model

Mission success probability and average length of kill chain to TST is given as TST
operational effectiveness index for evaluating effectiveness of striking TST system.
Mission success probability reflects comprehensive combat effectiveness of system
of systems, and can be represented by the following formula:

J I
j=I1 Zi:l Ni,j
Pu=7or (1)
ijl iz M;,

Py is Mission success probability. N; ; is the quantity of TST i which is destroyed
in striking time window of TST i in the jth simulation run. / is the quantity of TST,
and J is run number of simulation.

Average length of kill chain to TST reflects rapid response ability of system of
systems can be represented by the following formula:

I T AT AT+ T T+ T
Tie = 7 (2)

T is average length of kill chain. T} j is the time to fly to TST i in the jth simulation
times. Tihj is the time to assess striking effect of TST i in the jth simulation times.
TF. is the striking duration to TST i in the jth simulation times. Tidj is the time in

iJ
TST i analysis in the jth simulation times. Te is the time in effect analysis for TST

i in the jth simulation times. Tf is the time in deciding allocation for TST i in the
Jjth simulation times. [ is the quantlty of TST, and J is times of simulation.
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3.6 Simulation Rationale
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Having built the model of TST model, reconnaissance aircraft model, C2 model, fire
strike shooter model and effectiveness index model, the main simulation rationale
is designed, shown in Fig.2. In this paper, Monte Carlo simulation is applied to
perform the simulation and the desired result is taken as an average over the number

of observations.

Before the model begins, the inputs which include mission plan, TST informa-
tion, reconnaissance aircraft, and fire strike shooter are setup. Then the simulation

Fig. 3 Hierarchical view of the simulation model for typical scenario in ExtendSim
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starts and is initialized. The simulation process continues until the mission end. The
simulation is repeated many times and the average value of all trials then gives the
probability of mission success and average length of kill chain. The system of systems
results are also calculated for further manipulation and analysis.

Based on the model design and simulation rationale, the simulation model is
implemented based on ExtendSim. Hierarchical view of the simulation model for typ-
ical scenario in ExtendSim is shown in Fig. 3. In the interior of the block, TST model,
reconnaissance aircraft model, C2 model, fire strike shooter model and effectiveness
index model are modeled by assembling the blocks the software provides, which
improves efficiency of modeling. The model inputs are setup within a Microsoft
Excel and are integrated into the ExtendSim model via the use of hot links [6]. The
outputs are extracted into Excel from the simulation model by the same way.

4 Conclusion

We have shown in this paper a simulation model used for evaluating system of systems
effectiveness for striking time-sensitive targets. The simulation environment allowed
the military planner to understand the model to visualize any problems. The mode
can help scientific planning weapon and is great significance for improving efficiency
and rapid response ability for time-sensitive targets.
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Study of the Solvability of the Fuzzy Error
Matrix Set Equation in Equality Form
of Type I1 4

Kai-zhong Guo, Ran Li and Jian-xin Li

Abstract The concept of error matrix is presented in this paper, and the types of the
fuzzy error matrix equation are presented too. The paper is aimed at researching the
solvability of the fuzzy error matrix equation which elements are sets and solutions
to it. Theorems about the necessary and sufficient condition for the solvability of the
substitution transformation matrix equation of Type II as XA = B are obtained in
the paper. And an example of solving this equation would be given in the last part of
the paper.

Keywords Fuzzy - Error matrix - Set equation - Equation solving

1 Introduction

Throughout the ages, people glorify scientists and inventors by praising their per-
formance and wise, focusing on their success, thought process and way of thinking,
but rarely to track their footprint of failures and mistakes, especially lack of mul-
tidimensional studies and comprehensive analysis about their error. It is really a
pity.

In fact, the error plays an important role in the history of understanding. Error
and truth always be the guide of scientist and explorers, which are both in the unity
of opposites. The latter one always enlightens people that “rebound lute”, “back to
find the shore”. Joule believed in the theory of perpetual motion machine, buried in
studying it, after many failures, he began to think from the opposite side of the heat
and work in the motion of a machine, and finally discovered the law of conservation
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and transformation of energy. Edison had failed fifty thousand times when he testing
battery, but he said “my harvest is great, I know that more than fifty thousand kinds
of method doesn’t work.”

Indeed, humans always like correct, hope be correct, however, to be correct we
must avoid and eliminate errors, and in order to avoid and eliminate errors, you have
to study the cause and the law of errors. And it is necessary to find out the cause
of errors and the methods for eliminating them when errors happened. And in this
paper we will discuss how to utilize the error matrix equation to eliminate errors.

2 The Concept of Error Matrix

Definition 1 Suppose

(Ui Uniz -+ Unik) - X)) ((Ui21 Uiz -+ Urak ), X12)
(U211 Uzi2 -+ Uaix ), X21)  ((Un21 Uz -+ U ), X22)

(Unt1 U2 -+ Unix) » Xm1) ((Um21 Um2z -+ Umk ) » Xm2)

((Utnt Uin2 -+ Utk )+ X1n)
((U2nt Uznz -+~ Upk ) X2n)

' ((Umnl Unna -+~ Umnk) > an)

be an error matrix with m x n order of K elements.

Definition 2 Suppose

Uso S20(2) 1320(.“,)(2,.‘.,)(,,) Tro(t) L2o(t) y20(t) = fao((u(?), 1320), Gy20(t)) Guao(t)
U1 $21(1) Po1(xy,xa, ) T21(8) L21(2) y21(t) = f21(((t), P21), Gu21(t)) Guai(t)

Uzt S2(8) Prugeyxavn) Ta(0) Lag(t) yar(8) = for((@(t), Pa), Gy (1)) Gy (1)

be an error matrix with (t+1)x7 or m x 7 order. The element of this error matrix is
set.

Definition 3 The set relationship which containing the unknown set is called set
equations.

Definition 4 Suppose X, A’ and B be m x 7 order error matrix, so XA" D (or other
relational operators) B is called TPYE I set (matrix) equations.
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3 Error Matrix Equations

Error matrix equation:

Typel AX=B AeX=B AAX=B AvX=B AAX=B

Type I XA=

B XeA=B XAA=B XVA=B XAA=B

4 The Solution of Error Matrix Equation

The solution of Type Il 1 XA =B

X = (u,x) = (U1, Si(0), Pi. Ty (1), L1 (1), x(1) = f((u(@), P1), Gu1(1)))

A=

.....

.....

.....

= fio: (@ (1), Pi0x), Gu10:() Guiox(t)
= fux (@), Pr1x), Guiix (1)) Guiix(?)

= fux(W(®), Pri2), Guix(®) Guire(t)

(Ua, $2(t), Py, Ta(1), La(t), x2(1) = fo((u(1), P2), Gua(1)))

.....

Uz1 $21() Pa1(xy,x2,....x0) 121() L2 (1) y21(2)

Uz $2() Potixyxan.nny) T2e(t) Loy (1) v (2)

= fao((u(®), 1320), Gu20()) Gu2o()
= f21 (), P21), Gy21(?)) Gyai(t)

= fu(®), Py), Gua(t)) Gua(t)

371
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Vaor S0 Proterageex)  T201(f) Lot (@) y201(f)
g=| V2 Swu®  Porjein,.x D@ Lo yi()

= fia01 (@(®), Pioo1), Groo1 (0)  Guaor (1)

= fua1; ((u(®), Py21j), Gv21; (1)) Gy21j(1)
= foamam1 (W), Pramam1) Gvamam1 (1)) Gyamam (1)
Definition 4.1 Let

Wi, Z11) Wi, Z12) - (Wimt, Zimt)
XA — Wat, Z21) - (Wa2, Ziw) -+ (Wama, Zom2)
W21, Zm21) W1, Zi21) -+ Wimamt, Zmam1)

Vaor  Si201(0)  Pooterag,.x) Do) Lo y2o1(0)
Vorj Swrj(®) Poljeaag,..x) D@ Loy (@)

Vomomi Sv2m2ml([) Pv2m2ml(x1,x2,,..,x,,) Tv2m2m1(t) Lv2m2m1(t) yv2m2ml(t)

= fi201((v(1), szzol), G201(1)) Gy101(2)

= fi21;((0(8), P21j), Gy21(1)) Gy115(t)

= framam1 ((v(2), ﬁv2m2ml)’ Gvomam1 (1)) Gyimam (1)

There into,

,,,,,

Liix () A Laj(0), x1ix (1) A y25 (1), G1ix (1) A G2;(2)
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There into,

Uiox A Uzo S10x (1) A Sp0(2) 1310x(x1 X2,es2n) 1320 Thox () A T (1)
Ullx A U21 Snx(t) A Szl(l) Pllx(x1 X2, x,l) A Py Tnx(t) A Tzl(l)

Uirx AUy Slzx(t) A Szz(t) Pltx()q X2,es2n) N Py lex(f) A Tz:(t)

L1ox () A Lao(t) x10x () A y20(8) Guiox () A Gu20(1)
Lllx(t) A L2l(t) xllx(t) A yZI(I) Gullx(t) A Glel(t)

lex(t) A Lzz(t) xltx(t) A yzz(l) Gulzx(t) A Guzt(t)

Vaor  Si201(®)  Pooterag.x) Do) Lo yo1(0)
Var; St (0) Pv21j(x1x2 ..... x D@ Lopj(t)  worj(0)

Vomam1 Svamam1(t) Pv2m2ml(x1,x2,,..,x,,) T2m2m1(t) Ly2mom1 (t) Yvamoam1 (1)

= fi201 ((v(1), vazol), Gy201(2)) Gy101(2)
= 121 ((v(®), Py21j), Gy215(2)) Gyt (1)

= framam1 ((v(2), ﬁv2m2ml)’ Gvmam1 (1)) Gyimam (1)

By the definition of equal matrices: if two matrices contain each other, so cor-
responding elements in both matrices contain each other. Namely, (W,- i» Zi j) =

(bij, yij) so,
Utix A Usj, S1ix(0) A 825 (1), 131ix(x1,x2 ..... xn) A 132,', Tiix (1) A T2 (1),
Liix (@) A Loj(@), x1ix (1) A y25(1), Giix (1) A Goj(2)
= (bij, yij) = (Vaij Sv2ij (1) ﬁinj(xl,xz ,,,,, x) Tv2ij () Ly2ij () yv2ij(t)
= fu2ij (v(D), ﬁv2ij)» Gr2ij (1)) Gyaij (1))
So the following set equations are obtained:
Uiox A Uzo = Vino
S10x (1) A S20(1) = Sy20(2)

P1ox(xi,x2,x0) N P20 = Py20(xy ,x2,.000)
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Thox (1) A Too(t) = Tho(1)
Liox (t) A Loo(t) = Ly2o(7)
x10:(1) = fiox (0, Prox). Gurox (D) A y20(t) = fr20(u(0), Prag), Grao(1))

Gu10x (1) A Gu2o(t) = Gioo(2)

Ujix NUzj = Vipj

Stix () A 82 (1) = S12(1)

Tiix () N1 (1) = Tin;(1)
Lyix (1) AN Laj(t) = Lyoj(2)
X1ix () = frix@(@), Prix), Gutix (D) A y2; (1) = fraj (1), Praj), Graj (1))

Guljx(t) A Gu2j(t) = Gv2j(t)

Uitx NUp = Vi

Serx (1) A S (1) = Si2: (1)

Tirx (t) N Tos(2) = Typs (1)
Lusx (1) A Lo (1) = Ly (t)
Xupx (1) = Frx WD), Prix), Gurrx(0) A y2r(t) = e (1) = for (0) Pyay). G (1))
Gurnx (1) A Guai () = Gy (1)

About operation symbol “A”, if both sides of the equation are sets, then it means
“intersection”, if both sides of the equation are numbers, then it means “minimum”.



Study of the Solvability ... 375
As for

(Utix A Usj) hi (S1ix (D) A S2(1)) ha(Plixey o) A 132]')
Vv hy (Thix (1) A sz(t)) ha(Lyix () A L2j(1))
hs(x1ix (1) = frix (@), Prix), Gutix(@®)) A y2; ) h6(Gutix () A Gu2j (1)),

namely “h;, i =1, 2, ... 6” operation of matrix elements, it means that elements
have been computed could “compose” a complete matrix element (proposition). The
mode of combination depends on different situations. One way is to constitute a new
set of error elements or error logic proposition by parameter that operated. And this
way is called the multiplication of m x 7 order error matrix.

Now to analyze the error metric equation XA’ = B. If let X = (X1, X2 ,..., Xm2),
B = (B, By,..., Byp) and divide XA’ = B into x; A’ = B;,1=(1, 2, ..., m2), then
there is one unknown noted x; in the equation x; A’ = B;. So we can get the solution
to XA’ = B by solving x; A" = B;, i=(1, 2, ..., m2) respectively. Thereout,

X;A" = Bi = (Uiox Siox(t) P1ox(erxa,..xn) Ti0x () Liox (1)X10x (t)
= f1ox (@(D), Piox), Gu10x (1)) Guion()) A’

= ((bir, yi1) i, yi2) - .. (bim2-Yim2) = (Urox A Uzo) V (S10x (1) A S20(1)))

\% (ﬁIOX(xl,xz,...xn) A 1320) V (Thox (1) A Top(2)) V (L1ox (1) A Lao(2))

v (%1000 = fr0e (1), Pro), Gutoa () A y20(1)
V (Guiox () A Guo(t))

= (Va0 $520(t) Po20(x; xa,..x0) Tv20(t) Ly2o () yu20(t)

= £20(((1). Pi20). Go20(1)) Groo(0)) - - -

(Utox A Uaj) V (S10x(t) A S2; (1)) Vv (ﬁIOx(xl,xz,‘..xn) A 132])
V (Tiox (1) A Taj (1)) V (L1ox (1) A Laj(1))
\ (xlox(l‘) = f1ox (@ (@), P1ox), Guiox (1)) A yzj(t)) V (Guiox (1) A Guzj (1))

= (VZj Sv2j(t) ]3\/2j(x1,x2,...xn) Tv2j(t) Lv2j(t)yv2j(t)

= £, ((v(0), Praj), G2 j (1)) Graj (1))

(U1iox A Uat) V (S10x (1) A 82 (1)) V (ﬁIOx()q X2eet) AN f’zz)
V (Thox (1) A T (1)) V (Liox () A Lo (1))
v (100 = fi0e(@(0), Pro), Gutoa(®) A y21(D) V (Gurox(t) A Guze ()



376 K. Guo et al.

= (Var $20(6) Poaiay sy T2t (1) Loy (1) yu2:(8) = fr2 (0(1), Pyar), Gy (1)) Gye (1))

X;A" = Bj = (Uyix Siix(t) ﬁlix(xl,xz,...x,,) Thix (1) Liix(£)x1ix(2)
= flix((u(t)s ﬁlix)y Gu1ix (1)) Gu]ix(t)) Al
= ((bi1, yi1) Gii, yi2) - .. Bim2-Yim2) = Uhix AUzj) V (S1ix(t) A S2(1)))

\ (ﬁlix(m,xz,...x,,) A 132]') V (Tiix (1) A T2j (1)) V (L1ix (1) A Lo (1))
Vv (xlix(t) = frix ((u(1), f_;lix)a Gulix (D) A y2j(t)) Vv (Gulix(t) A Gu2j(t))

= (Vo) Si2j(t) Prajiyon,om T2j (1) Liaj (1) 32 (1) = forj((v(2), Praj), Gyaj (1)) Graj (1))

W10 A U2 V (100 A $250) V (Proxtareaon A Py )
V (Ti0x(t) A T2 (1)) V (L1ox (1) A Laj (1))
v (31060 = F10 (@), Pro), Guton0) A 3250) ¥ (Guroa (1) A Gz (1)

= (Vaj Si2j(t) Prajixrocan) Tv2j(8) Lu2j (1) yu2j ()
= fij (1), Pr2j), Giaj (1) Gooj (@) ...

(Wiex AUV S11x®) A $2O)V (Printerasn) A Pa)
V (Tipxe (1) AT () V (Ligx (1) A Lo (1))
v (%100 = fiex (@0, Pri), Gutex ) A y21 (D) V (Gusa (1) A Guza (1)

= (V2t Sv2: (1) ﬁth(xl,xz,A..x,,) Ty2: (1) Ly (2) yVZI(t)

= £ (1), Poayr), Goas (1) Goy (1))

XmZA/ =By = (U1m2x SlmZx(l) ﬁlmZx(xl,xz,...x,,) Tlm2x (t) le2x(l) X1m2x (t)
= flmZx((u(t)s ﬁlmZx)y Guim2x (1)) Gulm2x(t)) Al

= ((bma1. ym21) (bm2is ym22) - - - (bim2s Yim1))
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= WUinze AUz V Sz A St O) Y (Pimzeas e A Pt )
V (Tim2x (8) A Tom1 () V (Lim2x (8) A Low1 (1))

\ (X1m2x(t) = Fim2e (D), Pimos), Gutmax (1) A yzml(t))

VA(Guim2x () A Guom1 (1))

= (V2m1 Sv2m1(t) Pv2j(x1,x2,...x,1) Tv2m1(t) Lv2ml(t)yv2m1(t)

= fram1 (V(0), Pyaj), Gram1 (1)) Gram1 (1))

(U103 A Usant) V ($105(0) A Szt )V (Prostes .oy A o)
V (T10x (1) A Tom1(8)) V (L1ox (£) A Lomi1(2))

\4 (X10x (1) = fi0x(@(®), Pimae), Guiox (1) A yzml(t))

V (Guiox (@) A Guomi (1))

= (V2m1, Sv2m1(t)) 13V2j(x1,x2,...x,,) Tv2m1(t) Lv2ml(t) yv2m1(t)

= foam1 (1), Poaj), Guam1 (1)) Gram1 (1)

Uiex AUV S11®) A S2)V (Prtaioronzsnn A Par) ¥ (Tiex @) A T (0)
V (L0 A Lo )V (5160 = frea(@), Pria), Gurex(0) Ay ()

VGt (Vao, $120(t) Pia0ay oo T2 () Lo (1) 3020(2)
= fia0((v(0), Py20), Gy(D)Grio(D)x (1) A Gy (1)

= (Var, $0200) Prauer o) Toae(6) Loae (6) w2 (1) = fuae (1), Pray), Go(1)) Gy (8)

Theorem 1 The sufficient and necessary condition for the solvability of error matrix
equation XA' = B is the solvability of x;A'=B;,i=(1,2, ...m2).

Proof if XA’ = B has solvability, it is can be known by the definitions of XA’ =
Band x; A’ =B;,1=(1, 2, ..., m2) that they are the equivalent equations, so it is
necessary forx; A’ =B;,i=(1,2, ...,m2) has solvability; Otherwise, if the solvability
of x; A’ =B;,i=(l, 2, ..., m2) exists, similarly it does for XA’ = B.

Thereout, we use the method of discussing the solvability of x; A’=B;,i=(0, 1,
2. , m2) to discuss the solution of XA’ = B.
Then for X; A’ = B;, we can get

(Utix S1ix(t) Prix(eyxg..onn) Tiix (1) L1z ()x1ix (1)
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= frix (@), Priz), Guiix () Guiix()) A’

= Wix A U2V S1ix0) A $200) V (Prixtar s A o)
V (Thix (1) A Tao(1)) V (L1ix (1) A Loo(2))
v (160 = fir(@@), Proa), Gurix(0) A x20(0))
V(Guiix (1) A Gu2o(2))
= (Uiix AUzj) V (S1ix(t) A 25 (1)) Vv (ﬁlix(xl,xz,...xn) A 1321)
V(T1ix (1) A T2j (1)) V (L1ix (t) A L2j (1))
v (16 = L (@), i), Gunia ) A x20) ¥ (Gutia(t) A Gy (1)

= (Utix A Uzm1) V (S1ix (1) A Som1 (1)) Vv (ﬁlix(xl,xz,...xn) A ﬁ2m1)
V (Thix () A Tom1(2)) V (L1ix (8) A Lom1(2))
v (1x ) = (@@, i), Gunis ) A xzm1 ) V (Gutia() A Guat (1)

= ((bi1, yi1) (b2, yi2) -+ (bim1-Yim1))
That is,
(Utix AUz0) V (S1ix (1) A S20(1)) V (ﬁlix(xl,xz,...x,l) A 1320)

V (T1ix (t) A T20(2)) V (L1ix () A L2o(2))
\% (X1ix(t) = f1ix (@), P1ix), Gu1ix (1)) /\X20(t)) V (Gu1ix () A Gu2o(1))

= (Va0 Sy20(t) ﬁvZO(xl,xz,..,xn) T120; (1) Ly20(2)yv20(t)

= f20((v(1), Po20), G2ju(1)) Guao(?))

(Utix A U2j) V (S1ix (1) A S2j(1)) v (ﬁlix(xl,xz,...xn) A 132/‘)
V (T1ix (1) A T2j (1)) V (L1ix (t) A L2j (1))
v (1x ) = L (@0, i), Gunix ) A x2j0) V (Gutia(®) A Gy (1)

= (V2 Su2j () Po2jixyivann) T2j(t) Ly2j () yinj (1)

= fuaj ((v(®), ﬁvzj), G12j(1) Gyoj(1))
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(Urix AUzn) V 110 A St )V (Proaa e A Pt )
V (T1x () A Tom1(2)) V (L1gx (1) A Lop1(2))
A% (xltx(t) = fltx((u(t)’ Piix), Guix (1)) A XZmI(I)) V (Gutx () AN Gum1 (1))

= (Var, S2e(0) Py ) T2t (0) Luae () 3026 (1) = fror (1), Prar), Gy (1)) G (1)
A series of set equations is obtained,
(Uiix A Uzo) = Voo
(S1ix (1) A S20(2)) = Sy20(1)
(Plix(xixzsin) A P20) = Pod0(er as.ni)
(Thix (t) A Tao(2)) = Tno(7)
(L1ix (1) A Lao(2)) = Ly2o(?)

1ix (0 = Frix @(@0), Prix)s Guix (1) A x20(0) = 120(1) = fiao(w(t), Pyao), Gajv (1))

(Gutix (1) A Gyu20(1)) = Gyoo(t)

(Utix N Uzj) = Vo
(S1ix (1) A S25(2)) = Si2(2)
(ﬁlix(xl,xz ..... ) A i)Zj) = ]gv2j(x1,x2,...,x,,)
(Thix () ANT2j(8)) = Tinj(t)
(L1ix (@) A Loj(t)) = L2 (1)

1ix (1) = frix@(@), Priy), Gutix (D) Ax2i (1) = 10 (1) = fr2j((0), Pyoj), Goju(0))

(Gulix(t) N Gu2j(t)) = Gv2j(t)

(Uiix AN Uzm1) = Vo

(S10x (@) A S2m1 (1)) = S12:(1)
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(T (1) AN T (1)) = T (2)
(L1x () A Lom1(2)) = Ly (2)

X7 (D) = frex @ (), Igltx)’ Guirx (D) A x2m1 (1)) = 2 (t) = fror ((u(?), ﬁv2t)v Gy (1))
(Guirx @) A Guom1 (1)) = Gy (1)

Theorem 2 The necessary condition for the solvability of X; A" = B; is
Uz 2 Va0,
$20(1) 2 Sy20(1),
Py 2 ﬁvZ()(xl,xz,...,xn),
Tro(1) 2 Tioo(1),
Loo(1) 2 Lyoo(1),
x20 (1) = y20(t) = fioo ((V(1), Pr20) ,G2jv(1))

Gu20(t) 2 Lypo(t)

Uyj 2 Vo,
$2j(t) 2 Sy (1),
132; 2 l;v2j(x1‘xz ..... Xn)
T (1) 2 Tinj(1),
Laj(t) 2 Lyj(1),
x2i (1) = w2 (1) = fraj (v(®), Pr2j) .G2ju(0)),

Gu2j(t) 2 Lv2j(t)7

Uni 2 Vo,
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Som1(t) 2 Sy (1),

Tomi1 (1) 2 T (1),
Lom1(t) = Ly (1),
Xom1 (8) = Yvar (1) = fooe (1), Par) ,Gy(1))
Guom1 (1) 2 Ly (2).
Proof If one of the conditions above is not meet, suppose S2;(¢) 2 S,2;(f)is not

meet, so no mater what value Sy, (¢) is, we can not get (S1;x (1) A 82 (1)) = Sy2; ().
Proved.

Theorem 3 The sufficient condition for the solvability of X; A’ = B, is
Uz = Voo,
$20(2) = Sy20(1),
Pro = Poaoge, o)
Tro(t) = Ty20 (1),
Loo(1) = Lyoo(1),
x20 (1) = y20(1) = fio0 ((V(1), Pr20) » G2ju (1)),

Gu20(t) = Ly20(2),

Uzj = Vo,

$2j (1) = Si2;(1),

T2 (t) = Tin0; (1),
Lyo(t) = Lypo(2),

x2i (1) = y2j (1) = fr2j (v(0), Pr2j) .G2ju(D)),
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Gu2j(t) = Lyoj(1),

Un1 = Var,

SZml (t) = Sv2t (t),

Dom1 (1) = Tu (1),
Lom1(t) = Ly (1),

Xom1 (1) = 2 (1) = foar ((0(2), Pvar) ,Gu (1)),
Guom1(t) = Ly (1),

Proof Because in the X; A" = B;, we should only take union operation of the corre-
sponding element of A in X;, that is

Ulix =UxpUUyU---UUz; U---UUy,
Stix = S20(D U S @) U---USp;(0)U---U Sy @),
Tiix = To(OU T (@) U---UTp)U---UTy@),
Lijx = Lyo(t) U L21 (1) U -+ - U Ly (1) U---U Lo (1),
X1 (1) = fiix (W), Prix), Guiix (1)) = x20(t) Uxo1 U= - - U X2 U---Uxgy,
Gulix (@) = Guoo@®) U Gu21(0) U+ - - U Gy () U+ UGy (1),
proved.
From the discussion about Theorems2 and 3 we can get that the solution to
X; A" = B; exists in the correspondence parameters of the corresponding elements

of A and B;.
Then we discuss all the solution of X; A’ = B; and XA’ = B:

(1) When the conditions of Theorem 3 are meet, the solution of the equation set is:

Ulix =UxUUyU---UUz; U---UUy,
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Stix (@) = So0(®)U Sy U---USH; U---U Sy,
ﬁlix(xl,xz,...,x,,) = PyU 1521 U---u 132; U---U Py,
Tiix (1) = Too(HU T U---UTp; U---UTyy,
Lyix(t) = Lao() ULy U---ULyjU---ULy,
X1 (1) = fiix (W), Prix), Guiix (1)) = x20(t) Uxa U - - - Uxzj U---Uxy,

Gulix(®) = Guao(®) U Gu21 (1) U+ - - U Gy (t) U+ U Gy (2).

(2) When one condition of Theorem3 turns from equality to inclusion relation,

3)

suppose $2;(¢) 2 Sy2;(1), so it is must be demanded that Sy; () = §,2;(¢) on
account of X; A’ = B;, so must be for

S$2j (1) = Sp0(®) U So1 U---USp; U~ U Sy,
then, S (t) = Szj =S0(t)USU---uU Szj U---USy = S)0(2), that is,
Utix =UxUU 1 U---UUz; U---UUy,
S1ix (1) = S0 U Sp1 U---U S U---U Sy,
ﬁlix(xl,xz,...,xn) = f_;20 ) f_;Zl U---u 132/' U---u 132[,
Nix(1) =To(OHOUTnU---UTp; U---UTyy,
Lijx(t) = Log(t) ULy U---ULy; U---U Ly,
X1ix (1) = fiix (@), Piix), Guiix (1)) = x20(1) Uxa U+~ Uxg; U+ Uy,
Gulix(1) = Guao@®) U Gya1 (1) U - - U G (1) U -+ - U Gy (1).
When two conditions of Theorem3 turn from equality to inclusion relation,
suppose Sz (t) 2 Sy2;(t), so it is must be demanded that Sj; (1) = Sy2i(t) =
Sy2j () on account of X; A" = B, so must be for $; = S2; = S2(r) U $2; U
< USyU-- U Sy
then, Siix (1) = S2i = S2j = S ) USp1 U--- U S U--- U Sy = Syn0(1).
that is,

Ulix =UxUUyU---UUz; U---UUy,

Siix () = S0 U S U---USH; U---U Sy,
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I_)blix(xl,xz,‘..,x,,) = Py UPyU---U f’zj U---U Py,
Nix @) =Too()U T U---UThj U---UTy,
Liix(t) = Loo(t) ULy U---ULy;jU---U Ly,
X1 () = fix (@), Plix), Guii (1)) = x20() Uxag U+ Uxaj U+ Uxy,
Gulix(1) = Guao®) U Gua1 (1) U - - U G (1) U -+ - U Gy (1).

(4) When all conditions of Theorem 3 turn from equality to inclusion relation, so it

is must be demanded that S;, (£) = S,00(¢) = Sy21(t) = -+ = Sy,(t), so must
be for $7;(t) = Sy20(t) = Sy21(t) = -+ = Sy (1), then, S1;x (1) = Sy20(t) =
Sv21(t) == v21(t)-

That is,

Ulix =UxU Uy U---UUp; U---UUy
Stix (1) = Sv0(1) = Sy21 () = -+ - = Sy (7)
Tix (1) = Too(OU T U---UTp; U--- U Ty
Lyix(t) = Loo(t) ULy U---ULp; U---U Ly
X1 (1) = fiix (W), Prix), Guiix (1)) = x20(t) Uxog U - -- Uxgj U---Uxyy
Gulix () = Guao(®) U Gua1(1) U - - U Gy (1) U+ - U Gy (7)
(5) When two conditions of Theorem3 turn from equality to inclusion relation,

suppose $2; () 2 Syzi(H)and S (1) 2 Sy2;(1), if Sy2; (1) # Si2(2), so there is
no solution to X; A’ = B, on account of X;A’ = B.

That is because: Sj;x () = S2;, and Sj; (1) = S, can’t meet at the same time. So
S1ix (1) A S20(7) = Si20(2);

S1ix (1) A S21(1) = Si21(2);

Stix (1) A 821 (1) = Sy2: (1),

are false.
We can discuss other parameters in the same way.
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5 The Example of Application of Error Matrix Equation

For the error matrix equation suppose

Ut $1() Pigey s,y T L1 31(0) = fi(@(®), P), Gur () Gur (@)
Uz $2(t) Poxy.xy.co) T2(2) L2(2) y2() = fa((u(?), P2), Gua (1)) Gua(t)
Us $3(t) P3(x).xy..ox) T3(1) L3(2) y3() = f3((u(2), P3), Gu3 (1)) Gu3 (1)
Uy Sa(t) Pacxy,xa,.xy) Ta(t) La(t) ya(t) = fa(u(t), Py), Gua(t)) Gua(t)
U = {u; |u; € {all shares of SSE} }
U =U,
S,1(t) = {China Union}
ﬁul(xl,xz ..... Xn) :{SSE},
T,1(t) = {PE Ratio} ,
L,(t) ={21.7},

1 PE Ratio > 10

Y@ = 0 PE Ratio < 10 = f1(China Union, PE Ratio = 21.7) = 1,

G,1(t) = {PE Ratio < 10},
U, =U,

S (1) = (SINOPEC}
Pud(e xs,xy) = (SSE},
T,n(t) = {PE Ratio} ,
L,»(t) = {8.05},

1 PE Ratio > 10

Yur(t) = [ 0 PE Ratio = 10 = J1(SINOPEC, PE Ratio = 8.05) = 0,

G,»2(t) = {PE Ratio < 10} .

Su3(t) = {CSCEC},
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-

Pu3xy xz,..x) = (SSE},
T,3(1) = {PE Ratio} ,
Ly3(1) = {529} s

1 PE Ratio > 10

0 PE Ratio = 10 = J1(CSCEC, PE Ratio = 5.29) = 0,

Yu3(t) = [

G.3(t) = {PE Ratio < 10}

S,4(t) = {SINOPEC},
Pua(r vr.novn) = ISSE},
T,4(t) = {PE Ratio} ,
Lya(t) = {11.99},

1 PE Ratio > 10

0 PE Ratio < 10 = f1(SINOPEC, PE Ratio = 11.99) =1,

Yua(t) = [

Gua(t) = {PE Ratio < 10} .

Ute S1c(8) Pragerns,n) Tix(®) Lix(@) x1:0) = fre(@(@), Pro), Gure (0) G (1)
X = Uny S2x(l) €2x(xl,x2,m,xn) TZx(t) LZx(t) xe(t) = f2x((u(t)s [:2)()9 GuZx(t)) Gu2x(t)
Usy S3x(l) [_)’3x(xl,x2,m,x,,) T3x(t) L3x(t) x3x(t) = f3x((u(t)s €3x)s Gu3x(t)) Gu3x(t)
Usx S4x(l) P4x(x1,x2,m,x,z) Ty (t) Ly (t) Xdx (t) = f4x ((u(t), P4)c)a Guax (t)) Guax (t)

V1, S0 Putgeyoo,x T @) Lt (@) 310 = fia (o), Por), G (0) Gur (1)
B — | V2520 Pogxaxy T2(®) L) y2(®) = fia(v(®), Pr2), Gia(1)) Gia (1)
(V3, Sv3(l)) €v3(x1,x2,,..,xn) Tv3(l) Lv3(t) yv3(t) = fv3((V(t)v 6»’3)7 Gv3(l)) Gv3(t)
(Va, $04(0)) Podxy xa,nn) Toa(®) Lua(®) 34 (@) = fra((0(0), Pua), Gua(1)) Gua(t)

Vi=U,
Sy1(t) = {China Union},

>

Poigxr xasx) = {SSEY,
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T,1(t) = {PE Ratio},
Ly (1) = {21.7},

1 PE Ratio > 10

Y1) =1 PE Ratio < 10

= f1(China Union, PE Ratio =21.7) = 1,

G,1(t) = {PE Ratio < 10} .
Vo, =U,
Sy (1) = {SINOPEC} ,

PV2(X1,X2 ,,,,, Xp) — {SSE},

T,»(t) = {PE Ratio},

Ly (1) = {8.05},

1 PE Ratio > 10

0 PE Ratio = 10 = J1(SINOPEC, PE Ratio = 8.05) = 0

sz(t) = [

G,»(t) = {PE Ratio < 10} .
V3 =U,

S3(1) = { CSCEC },
Pi3x1 ) = {SSE},
T,3(t) = {PE Ratio},
Lya(1) = {5.29},

Fa) = 1 PE Ratio > 10
v3¥ =10 PE Ratio < 10

= f1(CSCEC, PE Ratio =5.29) = 0,
G,3(t) = {PE Ratio < 10} .
Vo =U,
Sy4(t) = {SINOPEC} ,

Pi3xyxa,nn) = (SSE},
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T,4(t) = {PE Ratio},
Lya(t) = {11.99},

1 PE Ratio > 10

Y4 =1 PE Ratio < 10

= £ (SINOPEC, PE Ratio = 11.99) = 1,

Gy4(t) = {PE Ratio < 10} .

Suppose X = B, then X is the solution of X A A = B on the account of A = B
and Theorem 2.

6 Conclusion

We get the necessary condition and the necessary and sufficient condition for the
solvability of the error matrix equation XA = B, and there are also get be proved by
the case studies.
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Empirical Research on Efficiency Measure
of Financial Investment in Education Based
on SE-DEA

Yan-yan Yao and Ren-shou Zhang

Abstract This paper makes use of SE-DEA model to measure the performance of
financial investment in education in Guangdong from 2000 to 2012, solves the prob-
lem that the traditional DEA model is unable to further distinguish the effective units,
achieves the discrimination and sorting of the performance of the financial investment
in education in Guangdong, and makes suggestions on a structural adjustment of the
financial investment before making of a relevant policy in Guangdong by means of
computation of looseness amount.

Keywords SE-DEA mode - Financial investment in education - Performance
measurement

1 Introduction

Due to the “non-competitiveness” in the consumption and the “non-excludability”
in the benefits of the educational resource, there are many subjects of educational
investment, including government, social institution, and charity organizations. The
education can not only improve the personal cultural accomplishment and knowledge
level and enable the well-educated person to earn the higher income and social status,
but also generate the spillover effect through the social value created by educated
persons, increase social productivity, and improve the cultural and ethic level of
the nationality; so, the educational resource is generally considered to be a kind of
“mixed public article”’[14]. Therefore, the investment in education falls within the
scope of the national public investment, and the government often faces the realistic
problem on how to improve the efficiency while guaranteeing the justice in the
financial fund to be invested. By offering the educational resource, the government
may provide relatively fair competition conditions, increase mobility of the social
class, give vulnerable groups t opportunities of upgrading of social status, change a
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survival environment, narrow gaps between the poor and the rich, and solve problems
in the social class stratification at the source.

The financial investment in the education shall be increased on the basis of a
continuous rise in the demand for social education and continuous enhancement of
the government’s ability to offer the education service. In accordance with an inverted
U curve theory, there is a relationship in inverted U-shape between the financial input
and output. That is to say that at the early stage of education development, there is a
direct proportional relation between them, meaning the more the input is made, the
more the output is produced; however, at the later stage of its development, the limited
increase in the output will be brought from the increasing input. This paper makes an
analysis of the financial allocation efficiency of the public education in Guangdong
over the past years, and proposes an ideology for solution to the deficiency in the
investment and output.

2 Review of Literatures

2.1 Research at Abroad

In 1950s, in the paper “Role of Government in Education”, Fridman proposed that
the fund invested in the education should be converted into the education vouchers,
which should be distributed to the student families. Students could select their schools
with the voucher at will; the schools could exchange the vouchers with the govern-
ment for cash, so as to guarantee the investment in the educational undertaking, but
also introduce the competition mechanism into an educational system in order to
improve educational quality and achieve survival of the fittest. Such mechanism of
“education voucher” reflects the ideology of assessment made on the performance of
the education expenditure [5]. On the basis of the measurement analysis, Psacharo
[3] discovered that in the developing countries, the average rate of return from the
financial investment in education is lower than 13 %; in the developed countries, the
rate of return from the investment in education is higher than 20 %, demonstrating
that there is a large gap in efficiency of the financial investment in education among
countries at the different levels of development, and indicating that the efficiency is
increased by re-planning financial resource for education [3]. Taylor [6] measured
the efficiency of financial investment in the education in England by the least square
method; however, there is a popular belief that it is difficult to use the least square
method, maximum likelihood estimation, and stochastic frontier analysis (i.e. SFA
method) for a production function with more investments and more outputs; the
investment in and output from the higher education is a situation with more invest-
ments and more outputs [2]. Jill [7] made an analysis of the investment and output
efficiency of the higher education in England by a data envelopment analysis (DEA)
and on the basis of the data collected from 100 colleges and universities in Eng-
land from 2000 to 2001, and drew the conclusion that the technology efficiency and
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scale efficiency of such 100 colleges and universities in England were higher than
the average levels in Europe [7]. Benson [4] made the overall assessment on the
educational financial system from three perspectives including whether the supply
of the education is sufficient, whether the allocation of the education resource is
efficient, and whether the distribution of the education resource is fair as considered
traditionally in the research literatures on educational finance. Barlow [2] made the
study on the trend of the production efficiency of the college education in England
by the method of time series analysis, and finally drew the conclusion that the mar-
ginal benefit from the financial investment in education in England indicated that it
was possible to improve the utilization efficiency of the financial fund by the further
optimization of the resource, so as to maximize the benefits. Adams [1] thought that
an education performance assessment system should lay the stress on the following
indicators: the resource investment quality, including the schoolbooks for students,
teaching qualification, and the ratio of teachers to students, and other review items;
the result output quality, including the academic record (i.e. test scores), acquisition
of self-knowledge, progress, or passing rate of student; the education process quality,
including the interaction between teachers and students, participation and level of
learners, entertainment of study, and other research items; the education content qual-
ity, including the coverage rate of fundamental knowledge, coherence and portability
of knowledge, and the integration level of the knowledge; the education reputation
quality, including the historical image and public perception of educational insti-
tution; the value affiliation quality, including the influence of the education on the
all-round development of the students.

2.1.1 Research at Home

When representing the financial investment with the operating expense of education
within an annual average budget, representing the investment of human resource
with the number of full-time teachers, and assessing the higher education resource
allocation efficiency by DEA, Fu [10] discovered that the efficiency was not high
in financial investment since 1999. Huang [12] made use of a principal component
analysis to induce and count up a number of variables involved in the higher education
investment and output and the principal component variables with the high economic
significance, and analyzed the relation between the principal component of output
and the principal component of investment by a regression analysis method, so as
to draw a conclusion that the output from the colleges and universities in China was
increased in an extensive manner . Proceeding from the principle of the educational
economics, Xu [15] made an analysis of the principal components for the benefits
of investment in the public higher education from 1995 to 2006, and discovered that
there was an efficiency defect in the investment in the higher education, and there
was an insignificant positive relationship between academic research output and total
investment amount. On a basis of perspective of the governmental welfare, Yan [16]
made some suggestions on construction of the assessment system by proposing the
importance of the education expenditure performance assessment, such as pertinence
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of the assessment indicator, the comprehensiveness of the assessment method, and
independence of the assessment supervision. Feng [9] proposed that an investment
ratio of the public education expenditure should be higher than that of the higher
education, and there was an unbalance development of the basic education in vari-
ous regions and the resource allocation in the education system in China [9]. Zhang
[18] made a research, considering that despite of a continuous increase in a financial
investment in education in China and its increasing in the education, there was still
a problem in the lack of educational funds, mainly because there are unreasonable
factors of the financial education resource allocation structure among the different
hierarchies of the education; therefore, it was important to optimize an expenditure
structure and increase the financial education expenditure benefit while making more
financial investments in the education. In accordance with the actual conditions of
the public education expenditure in China, Yan [17] proposed an educational expen-
diture performance assessment indicator system in China, and defined the weights
of the assessment indicators by the AHP method, and made use of data on the public
education expenditure to reach a conclusion that the investment in the public edu-
cation in China was lower compared to that in foreign countries, and a distribution
structure of the public education fund was not in conformity with the requirements
of an assessment indicator system; that is to say that the economy is not ideal, and
the efficiency is declining continuously, but the effectiveness is better [17]. From
the quantitative perspective of a research on the basic education expenditure perfor-
mance assessment, on the basis of analysis on the quasi-public goods property of
the basic education, Pei [8] expounded a theoretical base of the financial basic edu-
cation expenditure performance assessment, reviewed the outcomes acquired from,
problems and difficulties in the performance assessment in China, and guided with
a basic idea established for the financial basic education performance assessment
system in China.

On the basis of summarizing the literatures above, we discovered that the schol-
ars at home and abroad made a great number of researches on the financial educa-
tion expenditure performance, but less qualitative researches and more quantitative
researches; some of scholars used DEA model, but it was impossible to solve the
problem in the efficiency sorting in case of more effective samples. This paper intends
to use SE-DEA model to assess performance of the financial investment in education
in Guangdong from 2000 to 2012.

3 Selection of DEA Model

3.1 Profile of Traditional DEA Model

Being the most basic one, CCR model is used for measurement of the comprehensive
technology efficiency (technology efficiency, TE), i.e. the ratio of the optimal invest-
ment to actual investment on the productive frontier with the unchanged returns to
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scale. The unchanged return to scale means that during process of the production,
when the investment is increased or decreased in the equal proportion, the output is
also increased or decreased in the same equal proportion. If TE = 1, it indicates that
the investment and output reach state of the relatively best efficiency. If TE < 1,
the decision-making unit is DEA invalidity, indicating the decision-making unit is
non-technical valid or non-scale valid. Given that there are N decision-making units
(Decision Making Units, hereinafter referred to as DMU), and each decision-making
unit has M resource consumption investment variables and S output variables, x;;
denotes the investment made by the DMU No.j in the investment No.i, and y;;
denotes the output of the DMU No.;j to the output No.i, and the investment and
output of the DMU No.j should be:

T .
xj=[x1j, x2j.xmil’ . j=1,2...n

At this time, the efficiency indicator for assessment of the DMU No. j should be

s
Z UrYrj
r=1
hj=—%——
2. Vikij
i=1
Select appropriate weight coefficients v and u, so that they should satisfy the require-
mentof h; <1, j = 1,2....n, then an optimization model should be the next case,
by the linear transformation simplex method, the following solution is obtained

s
ur Yrj
max = =ht min 6
& S Xjh, < 6X
s Simple typelinear change, introduction tO 4 I = k
CzR Z]”"Yr} CZR le
= <1l,j=12.n
i =1, s Yih: <Y
ViXij ]Z:_] Jnj = Tk
i=1 j=
v=1[vi,v..vp]l >0 rj20,j=12....n
w=[uy,uz...us]" =0

The traditional CCR model has an advantage in effectives of the assessment of the
DMU with more investments and more output; however, the biggest disadvantage
of such model contains the existence of more effective units. The traditional CCR
model is unable to further distinguish the effective units. In order to make up this
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deficiency, Andersen & Perterson (1993) proposed the SE-DEA model based on the
CCR model [13]:

3.2 SE-DEA Model

min @

D XA +s =0X,
J=Lj%],

(D) 2 04— =7,

J=Lj%],

3,20
s7>0,5">0
Jj=L2..... n

The greatest advantage of SE-DEA model is that it is possible to sort the effi-
ciency values of many effective samples. When assessing the performance of the
financial investment in the education, the special DMU in the traditional DEA model
is included in the set of all the DMUs, and the super-efficient DEA model keeps the
special DMU to be assessed out of the set, and replace such DMU with the linear
combination of investment and input in other DMUs. Generally, the restraint that the
efficiency value must be 1 in case of the validity of the DMU is eliminated; therefore,
the situation that the value is larger than 1 will appear in case of the valid DMU in the
SE-DEA model. The SE-DEA model has no influence on the assessment of the valid
unit but distinguishes a number of effective units for the efficiency. The idea of such
model is indicated in Fig. 1. When calculating the performance value of the financial
investment in education c in a year, for the invalid years, the efficiency value of such
two models should be OF'/OE < 1; however, if the financial education expenditure
in a year is valid, and the productive frontier is changed from ABCD(ordinary DEA)
to ABC, the efficiency value should be OC'/OC > 1.

Fig. 1 The performance X
value of the financial A
investment in education c in
a year
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4 Empirical Analysis
4.1 Selection of Variables and Data Source

By review of the literatures, we discovers that when measuring the education invest-
ment and output efficiency, the average operating expense of education of the stu-
dents in the schools at all levels shall be used as a variable of investment, and the
gross enrollment rate of the schools at all levels shall be used as the output. In this
paper, the average operating expense of education within the budget of elementary
school students, the average operating expense of education within the budget of
junior middle school students, the average operating expense of education within the
budget of senior ones, and the average operating expense of education within the
budget of students in higher education are used as the input variables, and the gross
enrollment rate of the school-age children, the gross enrollment rate of the junior
middle schools, and the gross enrollment rate of senior middle schools, and the gross
enrollment rate of the higher education are used as the output variables, in order to
make a super-efficiency data envelopment analysis. In this paper, the efficiency of
the financial investment in the education is analyzed from four viewpoints including
pure technology efficiency, scale efficiency, overall efficiency, and super efficiency,
and the analysis is made on the current situation and the main problems in the finan-
cial investment in the education in Guangdong and the suggestions on improvement
are made on the basis of data from 2000 to 2012. The data used herein is sourced
from the Statistical Yearbook of Guangdong from 2001 to 2013 and the Statistical
Bulletin of Implementation of Educational Funds in China from 2000 to 2012.

4.2 Calculation Results

The values of investment and output used in this paper are greater than zero, there is an
obvious correlation between the variables of the investment and output, and the DMU
and investment and output investors meet the requirements of SE-DEA model. DEA-
SOLVER Pro 5.0 software is use to calculate the financial efficiency of education in
Guangdong from 2000 to 2012, and the results therefore are shown in the Table 1.
The value of the overall technology efficiency in it is calculated with an option of
CCR-I (CCR includes the investment-oriented CCR-I and output-oriented CCR-O,
respectively indicating that in case of the unchanged output, how to minimize the
investment; or in case of the unchanged investment, how to maximize the output). The
pure technology efficiency (PTE) is used to measure the ratio of an optimal investment
to an actual investment of the DMU on the productive frontier with the changeable
returns to scale, and the value of the pure technology efficiency is calculated with
an option of BCC-I in software. The scale efficiency (SE) is used to measure the
distance from a productive frontier in case of the changeable returns to scale and
productive frontier of unchangeable returns to scale, and to indicate the degree of the
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inefficiency due to the impossible production with the unchangeable returns to scale.
Itis calculated with the formula: Scale efficiency = overall technology efficiency/pure
technology efficiency; the value of the comprehensive super technology efficiency
is calculated with an option of Super-CCR-I in the Super-Radial module (Super-
CCR includes investment-oriented Super-CCR-I and output-oriented Super-CCR-
O, respectively indicating that in case of unchangeable output, how to minimize
the investment; or in case of the unchangeable investment, how to maximize the
output).

4.3 Analysis of Results

From the viewpoint of the technology efficiency, technology efficiency means influ-
ence of the internal management level and technical level of the enterprise on the
production efficiency. In this paper, the technology efficiency refers to the use effi-
ciency of the financial investment in education at the given policy conditions and
financial investment level. From Table 1, it is observed that there are twelve years
from 2000 to 2012, in which the technology efficiency reaches the optimal level,
and only in 2002, the optimal technology efficiency is not reached. It indicates that
the technology efficiency of the financial investment in the education in Guangdong
over the past years is in an ideal state.

The scale efficiency means the proportional relation between the investment scale
and the output scale. In this paper, we use the ratio of the increase in the investment

Table 1 Performance of financial investment in education in Guangdong from 2000 to 2012

Year Pure Scale Overall Overall super | Returns to
technology efficiency (%) | technology technology scale
efficiency (%) efficiency (%) | efficiency (%)

2000 100.00 100.00 100.00 117.15 -

2001 100.00 100.00 100.00 106.86 -

2002 95.80 96.20 92.16 92.07 DRS

2003 100.00 93.10 93.10 93.12 DRS

2004 100.00 95.20 95.20 95.22 DRS

2005 100.00 100.00 100.00 109.76 -

2006 100.00 99.30 99.30 99.29 DRS

2007 100.00 99.20 99.20 99.17 DRS

2008 100.00 92.60 92.60 92.60 DRS

2009 100.00 95.60 95.60 95.61 DRS

2010 100.00 100.00 100.00 100.78 -

2011 100.00 99.20 99.20 99.16 DRS

2012 100.00 93.30 93.30 93.33 DRS
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scale in the operating expense of the education within a budget to an increase in the
gross enrollment rate scale at various stages to represent it. If this value is greater than
1, it indicates that the returns to scale exist in the financial investment in education;
if the value is less than 1, it indicates the scale insufficiency exists in the financial
investment in the education. From the viewpoint of the scale efficiency, during the
13 years from 2000 to 2012, the scale efficiency is lower in the financial investment
in the education in Guangdong; it reaches the optimal state only within four years;
in the remaining 8 years, the scale benefit is decreased progressively.

From the viewpoint of the overall efficiency, during the 13 years from 2000
to 2012, only within four years, the overall efficiency. (If the overall efficiency is
valid, the technology efficiency and scale efficiency must be valid) of the financial
investment in education in Guangdong reaches an optimal state, indicating that the
financial investment in education in Guangdong fails to reach the productive frontier
because of the lower efficiency in most years.

The super efficiency analysis is used to further evaluate the efficiency in the years
with the valid DEA. On the basis of the super efficiency analysis, efficiency of the
financial investment in the education in Guangdong from 2000 to 2012 shows a
downward tendency. See Fig. 2 for details.

As seen from analysis above, the use efficiency is not very high; furthermore, on
the basis of a super efficiency analysis, the efficiency shows a downward tendency.
Overall, there are more years in which the technology efficiency is reached and less
years in which the scale efficiency is reached. However, the financial investment in the
education is not valid unless the technology efficiency, scale efficiency, and overall

120%
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Fig. 2 Efficiency value of financial investment in education in Guangdong from 2000 to 2012
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efficiency are valid. Specially, within 9 years in which the overall efficiency is not
valid, it is a non-scale valid (progressive decrease in returns to scale), but basically
the technically valid, indicating that the overall efficiency fails to reach the optimal
state due to the mismatching between the scale and investment and output, so it is
necessary to keep the existing investment proportion and management method, and
increase the efficiency by means of the policy. Furthermore, in accordance with the
data from the statistical bullet in of implementation of educational fund in China in
2012, despite of the larger total financial investment in the education in Guangdong,
the average investment is lower for per student; in particular, compared to the national
average level, the operating expense in education of students in the higher education
is lower by RMB 3142 Yuan (See Fig.3 for details); therefore, it is necessary to
increase the financial investment in education.

From the view points of the looseness of investment, output and the improvement
rate, the looseness of the average investment in an operating expense of education
is larger for every student from elementary schools and junior ones, and that for the
student in higher education is smaller; to senior middle schools, the looseness of
the investment in the funds from 2000 to 2010 is smaller, but shows an increasing
tend over the past two years. From the view point of the output looseness, the output
looseness of enrollment rate of the school-age children is larger, and the enrolment
rate of the primary graduate and the gross enrolment rate of the higher education are
subject to the larger output looseness over the past two years. From the viewpoint
of the DEA improvement rate, the improvement rate of the enrollment rate is higher
in school-age children and gross enrollment rate of junior school before 2010, but
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declines over the past two years to a significant extent; the improvement rate of the
gross enrolment rate of the higher education maintains a higher level over the past
years (Table 2).

Here, it is assumed that the financial investment in the education is unchanged in
order to make research on the output efficiency. Due to the dimensional difference
between the output variables, in order to observe and analyze the extent to which the
output is improved in a more clear way, DEA improvement rate is used to describe the
improvement space. As seen from Table 3, all the improvement rates are the positive
numbers, indicating that it is theoretically possible to increase the gross enrolment
rate of the school at all levels from 2000 to 2012 from the viewpoint of efficiency of
financial investment in education; specially, there is a bigger space for improvement
of elementary and junior schools; however, it declines significantly over the past two
years, and the improvement rate of senior school and higher education shows an
upward trend.

Table 2 Analysis of looseness of DEA

Input variables Output variables
S1 S2 S3 S4 S5 S6 S7 S8

2000 - - - - - - -

2001 - - - - - - -

2002 56.72 41.77 0 988.31 |6.61 6.66 0 0
2003 38.69 15.9 0 1007.41 |1.08 0 0.59 0
2004 25.1 20.09 0 197.64 |0.46 0 1.58 0
2005 - - - - - - - -
2006 144.62 |133.06 |[235.07 |0 9.06 8.74 1.73 0
2007 517.58 |61722 |0 17477 | 16.21 16.41 1.01 0
2008 683.44 |75529 |0 0 29.86 29.57 0 0.05
2009 489.64 |388.85 |0 0 23.57 24.06 0 1.55
2010 - - - - - - - -
2011 1037.13 |756.83 |796.8 0 4.79 4.99 0 1.34
2012 1459.61 |1387.53 |914.39 |0 10.21 11.73 0 2.66

Note S1 denotes the operating expense of education for elementary school student within budget;
S2 denotes expense for junior school students within budget; S3 denotes expense for senior school
students within budget; S4 denotes expense for students in higher education within budget; S5
denotes the rate of the school-age children; S6 denotes the rate of junior school; S7 denotes the rate
of senior schools snd S8 denotes the rate of higher education
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Table 3 Improvement rate of DEA output

Y. Yao and R. Zhang

Gross enrolment | Gross enrolment | Gross enrolment | Gross enrolment
rate of school-age | rate of junior rate of senior rate of higher
students (%) school (%) school (%) education (%)

2000 - - - -

2001 - - - -

2002 15.82 16.13 8.62 8.62

2003 8.56 7.39 8.72 7.39

2004 5.51 5.02 8.22 5.02

2005 - - - -

2006 9.87 9.76 3.57 0.72

2007 17.22 17.95 2.38 0.84

2008 40.33 41.04 7.99 8.18

2009 29.27 30.88 4.59 10.50

2010 - - - -

2011 5.67 6.13 0.84 5.69

2012 18.09 20.58 7.14 17.24

Note The improvement rate is the amount of looseness divided by actual value

5 Measures and Suggestions

The five suggestions next are made on the basis of results of SE-DEA model.

First, in order to solve a problem that a average investment for per student in
Guangdong (e.g. average investment per student in higher education) is lower com-
pared to the national level, the government departments shall increase the investment
in its education practically. Overall, as the largest province in economy, the total
amount of financial investment in education in Guangdong ranks the first place in
China; however, the average investment in the operating expense of education for
every student at all levels is lower than the national average level. For example, the
average operating expense of education for every student in the schools at four levels
is lower than the national level respectively by RMB 447.66 Yuan, RMB 2020.49
Yuan, RMB 522.74 Yuan, and RMB 3142 Yuan, indicating that the amount of its
financial investment is mismatching with the economic aggregate in Guangdong. It is
required to “make up a missed lesson” for its financial investment; the management
at provincial and municipal tiers shall further increase the investment in the education
fund, so that the residents in Guangdong will enjoy better education resource.

Besides, it is required to make the structural adjustment and policy guidance to
the financial investment in education, and improve the use efficiency of the financial
fund investment. From 2000 to 2012, the use efficiency of the financial investment in
education in Guangdong is not very high; during this period, the productive frontier
is reached only within four years; by analysis, the efficiency of its financial invest-
ment shows a downward trend. Specially, the technology efficiency of its investment
reaches an optimal level, but the scale efficiency does not reach it (lower investment
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and output ratio), affecting value of the overall efficiency; furthermore, in the years
when the optimal level is not reached, the returns to scale is decreasing progressively.
If the structural adjustment and policy guidance of its financial investment iare not
implemented, the marginal benefit from the increase in the enrolment rate of the
school at all levels will decrease progressively. Therefore, the administrative depart-
ments in charge shall improve the use efficiency of the financial fund investment by
adjusting policy, and the optimization of the financial resource allocation of schools
at all levels.

Then, in order to embody the balanced education development, the government
shall increase investment in the nine-year compulsory education in the underdevel-
oped areas such as the mountainous area East Guangdong, GD West GD, and North
GD. From the looseness of the investment and output of the nine-year compulsory
education and the improvement rate thereof, the looseness of the investment in its
education is larger; if considering only from optimization of model, the investment
in its operating expense for primary school and junior school within the budget shall
be decreased, because both gross enrolment rate of the school-age children and that
of the junior schools are higher than 95 %, and it is difficult to increase the out-
put by increasing the investment. However, the investment in education falls within
the “public goods” and the education in the underdeveloped areas is unbalanced,
the compulsory education shall pay much attention to the fairness; particularly, the
investment shall be increased in the nine-year compulsory education in the under-
developed areas. From the viewpoints of the output looseness of the compulsory
education and the improvement rate thereof, the education and the improvement
rate thereof are larger. It is easy to discover that, the enrolment rate of the primary
graduates in GD in 2012 is 93.5 %, lower than the national average level by 5 %, indi-
cating that the great efforts shall be made to increase the investment in compulsory
education, particularly the gross enrolment rate of the junior school.

Fourth, the gross enrolment rate of higher education in GD is lower than the
national average level by 1.8 %, indicating that there is the great space of improve-
ment. The looseness investment in education operating expense for senior school and
higher education within the budget is at a lower level, indicating that the efficiency
of the financial investment in them in GD is higher; however, the output looseness
and the improvement rate thereof, the output looseness of higher education in GD is
larger, showing an upward trend, and the improvement rate thereof is at the higher
level, indicating that its gross enrolment rate of in GD is deficient, and there is a
bigger space of improvement. Based on statistical data, it is not difficult to discover
that the gross enrolment of the higher education in China is 30 %, and that in GD is
28.2 %, lower than that of the national. The occurrence of situation is related to the
developed private economy in GD, in particular that a great number of the rural right-
age students in specialized villages and towns with developed private economy will
work in the household handicraft workshops after graduating from the senior schools,
so as to reduce the enrolment rate. With regard to the above situations, the relevant
functional departments shall strengthen propaganda and policy guidance, making
the duly adjustment of specialties of provocation schools, colleges and universities
in GD in order to attract the students to register for examination.
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And finally, the use efficiency of its financial investment is subject to a greater
impact on policy factors, and the efficiency of its financial investment in GD shows
an obvious periodic change. As seen from Fig. 2, the change in the efficiency value
presents wave in a period for every five years, reaching the extreme points in 2000,
2005, and 2010 respectively. It is worth noting that the above three years are the
ending year of the “Ninth Five-Year” Plan, the “Tenth Five-Year” Plan, and the
“Eleventh Five-Year” Plan respectively. The peak value of the efficiency occurring
at the end of each five-year plan indicates that effectiveness of adjustment of the
education policy in the “Five- Year Plan”, fully indicating that the use of the financial
fund in education is subject to the great impact on policy factors, making it possible
to make the structural adjustment of the educational fund allocation and improve the
use efficiency of the financial investment in the education.
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