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Abstract This study provides empirical evidence that underpricing is larger for
more geographically dispersed firms when using a measure that captures the number
of states in which firms have economic interests. The findings show that the average
underpricing for local firms is 4.85% less than for dispersed firms (firms that have
economic interests in more than three states in the USA). The hypothesis that
underpricing is larger for more geographically dispersed firms is confirmed, and
the evidence is robust for alternative measures of geographic dispersion. Results
reveal that the likelihood of a firm committing accounting fraud increases the more
geographically dispersed a firm’s economic interests become.

Keywords Geographical location · Home bias · IPOs · First-day returns ·
Underwriter reputation
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1 Introduction

When Twitter had an initial public offering (IPO) in the USA in November 2013,
70 million shares were sold at $26 a share. At the end of the first trading day, the
stocks traded at $44.94 each, up to 72.84%. Twitter could therefore have sold 70
million shares at $44.94 and could have raised more than $3 billion, a billion dollar
more than what they did raise. Hence, the issuing firm left $1 billion on the table.
Early investors can thus make capital gains on their investments when IPOs are
underpriced.
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A substantial body of work regarding the IPO of common stock examines various
theories that explain underpricing. These theories come under four broad categories,
namely, asymmetric information, institutional reasons, control considerations and
behavioural approaches. Beatty and Ritter (1986) and Welch (1989) document
strong evidence that information asymmetry contributes significantly to increased
underpricing. Cliff and Denis (2004) and Lowry and Murphy (2006) reveal a signifi-
cant positive relation between underwriter reputation and underpricing. Bradley and
Jordan (2002) investigate the effects that revision, overhang, venture capital (VC)
backing and hot markets have on underpricing, indicating that all four determinants
significantly increase underpricing.

The literature on corporate geography suggests that geographically dispersed
information on company earnings and cash flows contributes to increased asym-
metric information (García & Norli, 2012; Platikanova & Mattei, 2016). The
geographic dispersion of business activities across multiple states in the USA is
making it more difficult to achieve efficient and informed investment decisions.
Gao et al. (2008) reveal that as a firm’s operations become more geographically
dispersed, the valuation discount grows. García and Norli (2012) show that monthly
returns on common stock for local firms are more than for geographically dispersed
firms. Platikanova and Mattei (2016) highlight that analysts’ forecasts become less
accurate for more geographically dispersed firms due to information asymmetry.

In an important departure from prior evidence, this study focuses on the degree
to which geographic dispersion across states in the USA affects underpricing. Prior
studies state that there may not be relevant information about company performance
and future sales trends for geographically dispersed firms due to inefficiencies
in aggregating this information across business activities in multiple states. They
further reveal that a firm that has economic activities across multiple states in the
USA sees an increase in management discretion, such as shifting profits to different
states, which increases information asymmetry.

Heider and Ljungqvist (2015) mention that tax code variation across states in
the USA further contributes to the complexity of efficiently aggregating relevant
information across states and increases information asymmetry. Therefore, an
investigation is conducted here using a measure for geographic dispersion to see
if there is empirical evidence consistent with Platikanova and Mattei (2016) that
geographically dispersed information contributes to increased levels of information
asymmetry and ultimately increases underpricing.

Using publicly listed companies in the USA that file annual 10-K reports with the
Securities and Exchange Commission (SEC) and that went public between 1995 and
2015, a measure for geographic dispersion is developed here based on the work by
García and Norli (2012), capturing all the economic ties between a firm’s economic
interests and its headquarters. Using the measure for geographic dispersion and
controlling for several determinants for underpricing, the study reveals that the IPOs
of firms with business activities in more than three states in the USA are more
underpriced than firms that have economic interests in three or fewer states.

The study is robust to using Platikanova and Mattei (2016) measure for geo-
graphic dispersion, i.e. concentration, and shows that geographic dispersion is



Geographic Dispersion and IPO Underpricing 209

a determinant of underpricing. The study further shows that as the number of
states in which a firm has economic interest increases, the likelihood of that firm
committing fraud also increases. The study contributes to the body of knowledge
on the geography of corporations and how it affects the efficiency of aggregating
relevant information across multiple states in the USA and the impact it has on
underpricing.

The study is structured as follows. Section 2 entails a literature review of relevant
studies that were curried to investigate the determinants of underpricing and that
have examined the role that geographic dispersion plays in information asymmetry
and stock returns, valuation, accuracy of analysts’ forecasts and earnings quality.
Section 3 provides the hypothesis development, related to the effect that geographic
dispersion has on underpricing. Section 4 showcases the empirical link between
geographic dispersion, underpricing and accounting fraud, while Sect. 5 concludes
the manuscript.

2 Literature Review

This literature review looks at the meaning of and provides evidence of under-
pricing. Firm characteristics that are positively and negatively associated with
underpricing are examined, and a further investigation into the theories proposed
to explain the causes of underpricing is carried out. The literature on geographic
dispersion and its effects on various firm attributes, such as operating efficiency,
trading performance, stock returns, forecasting and firm valuation, is explored, and
a discussion is started on whether geographic dispersion could be significantly
associated with underpricing.

Logue (1973) states that investors who buy common stock IPOs during the offer
price period quickly realise substantial systematic profits. This is because the shares
that companies sell when they go public are underpriced as there is a substantial
jump in price on the first day of trading. Underpricing is defined as the percentage
difference between the offer price, the price at which the investors bought the IPO
shares and the price that the shares trade at on the market. In advanced capital
markets such as in the USA and the UK, the full extent of underpricing is visible
quickly, normally by the end of the first trading day.

2.1 Underpricing Theories

2.1.1 Asymmetric Information

Underpricing is to some extent explained through the notion that one of the parties
involved in an IPO has privy to more information than other parties. The principal-
agent problem thus arises, and these frictions of information lead to underpricing.



210 D. Gounopoulos

The principal-agent problem can be examined through three lenses, i.e. when either
the investment bank, the issuing firm or the new investors know more.

Baron (1982) theory assumes that the investment bank knows more than the
issuing firm when it comes to demand conditions and thus uses underpricing as
a method to drive high-selling efforts. Beatty and Ritter (1986) find that investment
banks persuade unwilling issuing companies to purposefully underprice IPO shares
to encourage uninformed investors to not leave the IPO market.

The theory by Welch (1989) reveals that the issuing firm has more information
about the true value of the firm and uses underpricing as a method to signal to
investors. According to Welch (1989), there are two types of firms, namely, good
firms (high-quality firms) and bad firms (low-quality firms), and these firms look
indistinguishable to outside investors.

A good firm can signal to investors that it is of high quality by underpricing its
shares and deliberately leaving money on the table as it will be able to recover it
later through a seasoned equity offering. However, this gives low-quality firms the
incentive to mimic the actions of good firms, i.e. underprice their shares during the
IPO, yet low-quality firms typically refrain from signalling that they are good firms
because the risk of detection means that they will be unable to recoup the money
left on the table at the post-IPO financing stage.

Rock (1986) with his winner’s curse provides an explanation for underpricing
from an asymmetric information perspective. He assumes that the investors know
more and are able to avoid participating in overpriced IPOs, bidding only for
those that are attractively priced. Rock (1986), meanwhile, report that uninformed
investors bid indiscriminately for attractive/unattractive IPO offerings. Thus, unin-
formed investors buy all the unattractively priced shares, and their demand for
the attractively priced shares is crowded out by informed investors. Rock (1986),
therefore, documents that uninformed investors need to underprice on purpose to
prevent informed investors from not participating in the IPO. Lastly, Benveniste
and Spindt (1989) make the assumption that as better-informed investors honestly
reveal the information they have before the issuing price is finalised, they reduce the
amount of money left on the table.

2.1.2 Institutional Reasons

Lowry and Shu (2002) find that in the USA, almost 6% of companies listed
between 1988 and 1995 were sued for IPO-related violations. Tiniç (1988) states
that underpricing could be intentional as an insurance against such lawsuits. Logue
(1973) and Ibbotson (1975) findings indicate that there are institutional explanations
for underpricing. They state that the issuing firms deliberately offer their shares at a
discount for litigation purposes.

Issuing firms indicate that the likelihood of future lawsuits reduces when the
likelihood of shareholders being disappointed with the performance of their shares
post-IPO decreases. However, this explanation is mostly significant in the USA,
and the risk of being sued is not significant in countries such as Finland, Australia,
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Germany, Japan, the UK and Switzerland. Lowry and Shu (2002) reveal contradict-
ing evidence: underpricing decreases when companies are sued. According to Tiniç
(1988), Logue (1973) and Ibbotson (1975), underpricing increases when companies
are sued.

Another institutional reason is price stabilisation. Ruud (1993) states that com-
panies do not underprice deliberately but rather that IPOs are priced at the expected
market value, and those offerings that appear they will fall under the offer price
are stabilised in the aftermarket. Ruud (1993) mentions that price stabilisation gives
the picture of a positive increase in price. Asquith et al. (1998) state that if Ruud
(1993) analysis that underpricing is the consequence of price support is correct,
then the underpricing distribution of unsupported offerings should have a mean of
zero. Asquith et al. (1998) do not provide any evidence and state that underpricing
is caused by other factors rather than price support.

2.1.3 Ownership and Control Considerations

Brennan and Franks (1997) state that managers of firms deliberately underprice to
generate excess demand. They mention that the excess demand equips managers
to ration investors so that they end up owning a smaller amount of the business.
This method of allocating shares strategically enables managers to protect their
private benefits and avoid more scrutiny regarding non-value maximising behaviour.
Brennan and Franks (1997) therefore consider underpricing as a method to retain
control of the business.

Stoughton and Zechner (1998) report that underpricing is a method to reduce
agency costs. They state that it might be beneficial to allocate shares to a large
institutional investor for monitoring purposes. They assert that while monitoring
benefits all shareholders, it has its limits as shareholders will only monitor up to
the point where it is no longer optimal for the size of their stake in the company.
Stoughton and Zechner (1998) therefore find that to encourage better monitoring,
managers should allocate a larger stake to an individual investor with an incentive
in the form of underpricing.

2.1.4 Behavioural Approaches and Other Theories

Welch (1992) finds that informational cascades can develop in IPOs when invest-
ment decisions are made sequentially through later investors basing their positioning
on earlier bids, thereby disregarding their own beliefs and the information they are
privy to. Therefore, when initial sales are very successful, later investors believe
that earlier bidders held favourable information and choose to invest regardless of
the information they possess, and thus demand grows substantially.

In contrast, when initial sales are unsuccessful, later investors may be dissuaded
from buying and demand merely remains low over time. Therefore, information
cascades give early investors market power and put them in a position to demand
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underpricing from the issuing firm in return for committing to the IPO (Welch,
1992).

Bradley and Jordan (2002) investigate the extent to which underpricing can
be predicted based on information that are publicly available before the offer
date. They examined four variables, namely, overhang and file range amendments;
venture capitalist (VC) backing, which had been studied before and for which
contradictory results are available; and the hot market issue, which states that there
is a cyclical pattern that underpricing is larger when firms go public in hot market
years. Bradley and Jordan (2002) define file range amendments (revision) as the
percentage difference between the initial file ranges and the final IPO offer prices.
They document that revision has a statistically significant effect on underpricing.
They highlight that when all things are kept equal, upward revisions are related
to more underpricing, and downward revisions are related to less underpricing,
compared to issues with no revisions. This supports the findings of Cliff and Denis
(2004) that underpricing and revision are positively related.

The third variable of interest in is the effect of VC backing on underpricing.
Megginson and Weiss (1991) research on the matter suggests that issues by
VC-backed firms are significantly less underpriced compared to non-VC-backed
firms. However, Bradley and Jordan (2002) find that the opposite is true in more
recent years. The fourth variable of interest, hot market issue, significantly affects
underpriced. Their findings are in agreement with Ibbotson and Jaffe (1975), Ritter
(1984), Loughran and Ritter (2002) and Goergen et al. (2021) that underpricing is
positively correlated with hot market issues.

Carter and Manaster (1990) study on IPOs and underwriter reputation states that
it is very costly to the issuing firm to leave money on the table (underpricing), and
therefore low-risk firms tend to attempt to reveal their low-risk characteristics to
the market. According to Carter and Manaster (1990), low-risk firms do this by
selecting highly ranked or prestigious underwriters. They find empirical evidence
that underwriters that are highly ranked are typically associated with less risky
offerings. This finding supports Rock (1986) study that underpricing is greater for
more risky IPOs as investor capital migrates toward them for information purposes.
Habib and Ljungqvist (2015) report similar evidence for auditors that firm will try
to reveal their low-risk characteristics by selecting a Big 4 auditor; hence, Big 4
auditors should be associated with less underpricing.

Lowry and Murphy (2006) document that underpricing is larger for better-
ranked underwriters, and this provides support to Loughran and Ritter (2004),
Gounopoulos et al. (2017), Colak et al. (2021a), Economidou et al. (2022a, b)
and Gounopoulos and Huang (2022) who state that underpricing is larger for
highly ranked underwriters. These underwriters typically have more leverage to
underprice the IPO shares, which creates valuable currency which can be allocated
to investment banking clients. Cliff and Denis (2004) reveal that more highly
ranked underwriters are associated with more underpricing and that increasing an
underwriter’s rank from 7 to 9 will increase underpricing by 4.5%.

Habib and Ljungqvist (2015) study on underpricing and entrepreneurial wealth
losses reveals that leverage significantly affects underpricing. They find that under-
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pricing is less when a firm’s leverage is larger. This supports the finding by
James and Wier (1990) that underpricing is affected by leverage. Both Carter and
Manaster (1990) and Cliff and Denis (2004) document weak evidence that offer
size (proceeds) is related to underpricing. Both indicate that the coefficient for the
natural log of IPO proceeds is not statistically different from zero.

2.2 Geographic Dispersion

Underpricing theories are mainly grouped under four broad categories. This study
focuses on geographic dispersion as a variable to explain underpricing. The rationale
has come about through various research on the relationship between industry
and geographically concentrated firms and factors such as profitability, corporate
decision-making, stock returns, firm valuation, earnings quality and accuracy of
analysts’ forecasts.

Previous research by Grullon et al. (2019) examine whether firms are becoming
more industry-concentrated. They define industry-concentrated firms as those that
own a large market share in an industry and document that US firms in industries
with the biggest increase in product market concentration have larger profit margins
and experience more lucrative horizontal merger and acquisition deals. Grullon et
al. (2019) identify that the increase in profitability in more concentrated industries
can be attributed to lower levels of contestability resulting from increased barriers to
entry to the industry. Therefore, lower numbers of competitors allow industry mar-
ket shareholders to gain wider profits through higher prices and lower production
costs. Firms, therefore, seem to benefit from a profitability perspective when they
are industry-concentrated.

Gao et al. (2008) state that corporations are ever-expanding their business
operations far beyond their headquarters to tap into assets found in those locations,
such as larger consumer bases, skilled workforces, proximity to certain natural
resources, lower taxes and/or certain corporate tax breaks. However, Gao et al.
(2008) reveal that geographic dispersion does affect firm valuation. Specifically,
they document that firms that are geographically dispersed, meaning firms that have
subsidiaries located in different regions in the USA, experience a valuation discount
of 6.2% after controlling for global and industrial diversifications. The results show
that as firms become more geographically dispersed by expanding their operations
to different regions, the valuation discount increases and, therefore, geographic
locations have significant implications for firm valuation.

Landier et al. (2009) suggest that the geographical dispersion of firms, which
they define as companies that have a distance between their respective divisions
and their headquarters, has an effect on corporate decision-making. Landier et al.
(2009) report that geographically dispersed firms are less employee-friendly and
those divisions of firms that are geographically closer to their headquarters are
less likely to face layoffs. Divisions near headquarters perform significantly worse
financially before managers consider divesting or restructuring them.



214 D. Gounopoulos

García and Norli (2012) define geographic dispersion as the number of US states
mentioned in the 10-K annual reports that are filed with the SEC. They relate the
number of states mentioned in these filing to the number of states that these firms
operate in (have business/economic activities in). They create stock return portfolios
by geographic dispersion, whereby the local portfolio includes firms that operate in
a number of states below the 20th percentile number of states and the dispersed
portfolio includes firms that operate in a number of states above the 80th percentile
number of states.

Shi et al. (2015) analyse how the earnings management choice between real
activities management and accrual-based management is affected by the geographic
dispersion of a firm’s operations. They define geographic dispersion as the count
of the states that are mentioned in the 10-K annual reports filed with the SEC,
which is based on the same measure for geographic dispersion that García and Norli
(2012) constructed. They reveal that compared with geographically concentrated
firms, geographically dispersed firms have higher real earnings management and
lower accrual-based management; therefore, dispersed firms prefer real activities
management, while concentrated firms tend to prefer accrual-based management.
They indicate this effect is due to geographically dispersed firms being in possession
of a much wider investor base. These firms typically receive more attention from the
media, analysts and financial institutions because if dispersed firms engaged in more
accrual-based management, they are exposed to more outside scrutiny.

Platikanova and Mattei (2016) create a normalised measure for geographic
dispersion, namely, concentration. They then use concentration as the independent
variable and the accuracy of financial analysts’ forecasts as the dependent variable.
The authors find that for geographically dispersed firms, financial analysts issue
less reliable and more biased earnings forecasts, while geographically concentrated
firms have more reliable earnings forecasts due to the cost of information gathering
being lower.

3 Hypothesis Development

Platikanova and Mattei (2016) state that local and dispersed firms may have
varying degrees of information asymmetry due to diversification-related information
problems. Thomas (2002) declares that the aggregation of financial information
is this type of problem for dispersed firms. Abarbanell and Lehavy (2003) find
that asymmetric information exists because, for geographically dispersed firms,
managers are privy to more information than outside investors because they can
observe cash flows in each state that the company has operations in, while outside
investors can only observe noisy estimates of these cash flows.

Prior studies find empirical evidence that more geographically dispersed firms
are more likely to issue yearly and quarterly filings with delay, can restate informa-
tion segments related to sales and have more discretionary managed earnings. They
mention that all these factors contribute to information asymmetry. Welch (1989)
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finds that when managers have more information, it typically leads to underpricing.
The hypothesis is presented as follows: Underpricing is more (less) for firms with
more (less) geographically dispersed economic activities.

3.1 Geographic Dispersion Sample Selection and Data Sources

The US Securities and Exchange Commission (SEC) requires an annual 10-K
report that gives a comprehensive summary of a public company’s performance
and operations. Public companies must file such 10-K reports with the SEC within
90 days after the end of their fiscal year. The 10-K statement provides information
about the evolution of a company in a fiscal year and reports its financial data (García
& Norli, 2012).

Four sections of the 10-K statements filed with the SEC from 1995 to 2015
are collected, namely, “Item 1: Business”, “Item 2: Properties”, “Item 6: Selected
Financial Data” and “Item 7: Management’s Discussion and Analysis” (García &
Norli, 2012). States mentioned in the collected four sections of the 10-K annual
reports are counted and used to identify the number of states in which the firms
operate.

In some cases, there are sections missing within the 10-K annual reports, and
to address this issue, 10-K/A reports, known as amended filings, are employed
whereby the missing sections are added. There are instances where there are no 10-
K filings available, and the same procedure, i.e. counting mentioned state names,
is repeated for the 10-K405, 10-KSB, 10-KT, 10KSB and 10KT405 filings and the
amendments to these filings. Only state names in one filing are counted per year
(García & Norli, 2012).

Two measures of geographic dispersion are then constructed, namely, the number
of states basis and the concentration basis. Firstly, firms that have operations in a
small number of states in the USA are classified as local firms, and firms that have
operations in many states across the USA are classified as dispersed. Secondly, firms
that have high levels of concentration are classified as local firms, while firms with
low levels of concentration are classified as dispersed firms.

3.1.1 Number of States as a Measure of Geographic Dispersion

The degree of geographic dispersion is determined based on the number of US state
names that are explored within the four sections of the filed 10-K annual reports.
Therefore, firm i based on the fiscal year t has a geographic dispersion that is an
integer between 1 and 50, as there are 50 states in the USA. Hence, the geographic
dispersion for firm i in year t is the count from the last annual report filed prior to
December of year t (García & Norli, 2012).

Desai et al. (2017) shows the number of companies that filed 10-K reports with
the SEC and went public each year for the period of 1995–2015, the cross-sectional
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Table 1 Summary statistics on geographic dispersion (number of states)

Number of firms Geographic dispersion (number of states)
Mean Std. Min Max 20% 40% 60% 80%

Average 195 7.57 6.84 1 50 2.89 4.58 6.70 10.59
Median 147 7.81 6.67 1 50 3.00 5.00 6.00 10.00
Minimum 21 5.32 4.31 1 50 2.00 3.00 5.00 7.00
Maximum 676 9.47 9.23 1 50 4.00 6.00 9.00 14.80

average number of states that these companies operate in and the standard deviation.
Hence, of the 440 companies that filed 10-K annual reports with the SEC and went
public in 1995, on average each company operates in 6.49 states, with a standard
deviation of 6.63 states.

Figure 1 illustrates the yearly cross-sectional average number of states for the
period of 1995–2015. The mean number of states that firms operate in is close to
being stable over time between 1995 and 1999, with firms operating in six to seven
states on average. A small decline is observed in the year 2000 when, on average,
firms operate in 5.32 states, most probably due to the crash of the dot.com bubble
causing firms to concentrate their operations. From the year 2001 to 2015, firms
have operations in seven to ten states in the USA on average.

Table 1 shows the summary statistics for geographic dispersion. A substantial
variation in the geographic dispersion measure (number of US states that firms
operate in) is observed with an average of 6.84 states. The cross-sectional variation
varies between a minimum of 4.31 states and a maximum of 9.23 states. The average
number of (i.e. see Fig. 2), which is calculated as the average of the cross-sectional
average time series for the period of 1995–2015. The median number of states that
firms operate in, which is calculated as the median of the cross-sectional average
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time series, is 7.81 states. The minimum average of states that firms operate in
is 5.32 states, and the maximum average of states that firms operate in is 9.47
states. Table 1, Panel B, shows the mean, standard deviation and median of the
firm characteristics. The mean underpricing for the data set is 24.69%. Underpricing
experiences large standard deviations from the mean of up to 62.50%. The median
underpricing is 9.39% (Figs. 2 and 3).

Figure 3 reveals the number of Local and Dispersed firms in the United States.
We observe that across our sample the dispersed firms are the majority while over
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the last ten years there are very few local companies. This is a general trend as
enterprises diversity their operations.

Figure 4 shows the average cross-sectional underpricing for the local and
dispersed portfolios per year for the time period 1995–2015. As discussed, a local
firm is defined as a firm that operates in three or fewer states, and dispersed firms
are defined as firms that operate in more than three states. Large underpricing is
observed in the late 1990s and early 2000s.

Figure 5 also shows the same for leverage, revision, natural log of IPO proceeds,
overhang, natural log of total assets and natural log of firm age. The median under-
pricing for dispersed firms is therefore 12.93%, and for local firms, it is 11.83%,
indicating that geographic dispersion could potentially help to explain underpricing.
Thus, the hypothesis that underpricing is higher for more geographically dispersed
firms may hold true. The median revision for local firms is 0.60% and for dispersed
firms it is−0.85%. The medians for leverage, natural log of IPO proceeds, overhang,
natural log of total assets and natural log of firm age are higher for dispersed firms.

Table 2 shows the summary statistics on concentration as a measure of geo-
graphic dispersion. The average and the median for the cross-sectional average
concentration time series is 0.39, the minimum is 0.26 and the maximum is 0.47.
A significant variation in concentration is observed with an average variation of
0.23, a median variation of 0.24, and fluctuates between 0.17 and 0.28. On average
195 firms filed annual reports with the SEC and went public each year for the time
period 1995 to 2015. The median number of firms that went public each year is 147
firms. The minimum number of firms that went public in a year is 21 firms and the
maximum is 676 firms. The minimum is 0.36 and the maximum is 0.74. Firms that
have a concentration of more than 0.56 are classified as local firms.
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Table 2 Summary statistics on geographic dispersion (concentration)

Number of firms Geographic dispersion (concentration)
Mean Std. Min Max 20% 40% 60% 80%

Average 195 0.39 0.23 1 50 0.19 0.29 0.41 0.56
Median 147 0.39 0.24 1 50 0.19 0.30 0.40 0.56
Minimum 21 0.26 0.17 1 50 0.12 0.18 0.27 0.36
Maximum 676 0.47 0.28 1 50 0.25 0.35 0.49 0.74

3.1.2 Concentration as a Measure of Geographic Dispersion

Building on the number of states measured for geographic dispersion, concentration
as a measure for geographic dispersion is constructed. The number of states
measured captures the economic ties between a company’s headquarters and its
geographically dispersed operations, such as plants and equipment, store locations,
office locations and acquisition activities, which are reported in the 10-K reports
(Platikanova & Mattei, 2016).

The concentration measure is constructed by computing a normalised
Herfindahl-Hirschman Index (HHI) of state activities (Platikanova & Mattei, 2016).
Firstly, the sum of the squared relative state counts for firm i in year t (SSi,t) is
calculated as follows:

.

SSi,t =
(

#Texasi,t
#Total US Statesi,t

)2

+ · · · +
(

#Washingtoni,t

#Total US Statesi,t

)2

+ · · · +
(

#Floridai,t

#Total US Statesi,t

)2
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Once SSi,t is calculated, the concentration measure can be calculated as follows:

.Concentrationi,t = SSi,t − (1/50)

1 − (1/50)

Therefore, if a firm has operations that are concentrated in only one state, the
concentration measure will be equal to 1. If a firm has operations that are equally
concentrated across every 50 US states, the concentration measure will be equal
to zero. Therefore, a higher concentration value indicates that a firm’s business
activities are concentrated in a smaller number of states.

The study shows the cross-sectional average of concentration and the standard
deviation per year for companies that filed 10-K annual reports with the SEC that
went public in the 1995–2015 period. Therefore, the 440 companies that filed annual
reports with the SEC and went public in 1995 have a concentration of 0.46 on
average, with a standard deviation of 0.26 from the mean.

Figure 6 shows the yearly cross-sectional average concentration for the 1995–
2015 period. Concentration is observed to be stable over time from 1995 to 1998,
with a decrease in concentration (geographic expansion) being observed in 1999
due to the Internet boom and the excessive growth that took place at the time. In the
year 2000, concentration increases, potentially indicating the crash of the dot.com
bubble. From 2007 to 2009, concentration decreases, but it rises again thereafter
as the effects of the financial crisis come into play. From 2011 to 2015, the cross-
sectional average concentration fluctuates between 0.35 and 0.38.

Figure 7 shows the yearly cross-sectional 20th, 40th, 60th and 80th percentile
concentrations for the time period 1995–2015. The 80th percentile concentration
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Fig. 7 Cross-sectional percentile of concentration time series

for the year 1995 is 0.63. The highest 80th percentile concentration is 0.74 in
1998. The lowest 80th percentile concentration is 0.36 in 2009. Figure 8 shows
the number of firms classified as local and dispersed by concentration for the 1995–
2015 period. The median for the cross-sectional 80th percentile time series is 0.56
and is employed to create local and dispersed portfolios. Of the 440 companies that
filed 10-K annual reports with the SEC and went public in 1995, 116 companies are
classified as local, while 324 are classified as dispersed.

3.1.3 Concentration and Other Firm Characteristics

Figure 9 shows the medians for underpricing, revision, leverage, natural log of IPO
proceeds, overhang, natural log of total assets and natural log of firm age for local
and dispersed firms for the time period 1995–2015. The median underpricing for
local firms is 9.30%, and the median underpricing for dispersed firms is 9.44%,
indicating that geographic dispersion could help to explain underpricing and thus
the hypothesis that underpricing is more evident for more geographically dispersed
firms could hold true. The median revision is 0% for both the local and dispersed
portfolios. The medians for leverage, natural log of IPO proceeds, overhang, natural
log of total assets and the natural log of firm age are all larger for dispersed firms.
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3.2 Litigation (Accounting Fraud)

Based on the finding that more geographically dispersed firms potentially expe-
rience more underpricing, it is interesting to see if geographic dispersion could
also increase the likelihood of a firm committing accounting fraud, as accounting
compliance can be harder to monitor and enforce when a firm’s operations are
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highly dispersed across the USA. Data on accounting fraud are therefore collected
through the Stanford Law School Securities Class Action Clearinghouse. This
resource provides a detailed case summary and the full class action complaint form
for any litigation issues associated with a public company. The case summary is
investigated for the possible mentioning of accounting fraud, and if not found, the
full class action is investigated for the potential mentioning thereof.

Accounting fraud involves intentionally misrepresenting or altering financial
records to manipulate the financial health of a company. This includes overstating
revenue/sales, underrepresenting or hiding costs and purposefully misstating assets
and liabilities. It also involves inflating the value of a company’s stock, illegally
obtaining better financing and avoiding paying back debt.

Having already collected data on geographic dispersion and other firm charac-
teristics, a litigation dummy variable can now be created that receives the value of
1 if a company has been identified as having committed accounting fraud, and 0
otherwise. The litigation dummy variable makes it possible to investigate through
logistic regression models if geographic dispersion could increase the likelihood of
a firm committing accounting fraud while controlling for other firm characteristics.

3.3 Explanatory Variables for Underpricing and Litigation

The median underpricing for dispersed firms is higher than for local firms, and it
gives the rationale for a deeper dive into underpricing and geographic dispersion.
The phenomenon of underpricing is complex, and comparing underpricing between
local and dispersed portfolios is insufficient to make inferences.

Control variables, such as the other firm characteristics discussed, are required to
potentially help explain underpricing. These firm characteristics are also suitable as
control variables for investigating whether more geographically dispersed firms are
more likely to commit accounting fraud.

4 Empirical Results

4.1 Introduction

In this section, regression analysis is conducted to investigate the relationship
between geographic dispersion and underpricing while controlling for leverage,
revision, IPO proceeds, overhang and total firm assets. The hypothesis states that
there is no statistically significant relationship between geographic dispersion and
underpricing in a large sample of US publicly listed firms spanning 1995–2015.

Year and industry fixed effects are controlled for to determine if the fixed effects
explain the significance of geographic dispersion as a determinant of underpricing.
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Robustness tests are conducted using different measures for geographic dispersion
to test if the assumptions made are true. Logistic models are developed to investigate
if more geographically dispersed firms are more likely to commit accounting fraud
while controlling for firm characteristics similar to those used in the underpricing
models. The empirical results are reported and discussed within the framework of
relevant literature in the field.

4.2 Main Findings/Results

4.2.1 Underpricing and Geographic Dispersion (Local Firm 20)
Regressions

After developing the geographic dispersion measures (number of states and concen-
tration) and collecting the data, the next step involves running regression models
with underpricing as the dependent variable and geographic dispersion as the
independent variable while controlling for the other firm characteristics. The first
step in running regression models is to set up the and alternative hypotheses. The
hypothesis is defined as follows:

H1: There is no relationship between the independent variable (geographic
dispersion and other control variables) and the dependent variable (underpricing).
The opposite is true for the alternative hypothesis (Table 2).

Regression models are developed by adding a control variable for each con-
secutive model to investigate if geographic dispersion loses its significance as a
determinant of underpricing when adding a specific control variable. The effects
that geographic dispersion has on underpricing, as presented in Tables 3 and 4, are
estimated with the model:

.

Underpricingi,t = β0 + β1Local Firm 20i,t + β2Leveragei,t + β3VCi,t

+β4Revisioni,t + β5Ln Total Assetsi,t + β6Overhangi,t

+β7Prestigious Underwriteri,t + β8New Yorki,t

+β9Hot Marketi,t + β10Auditor04i,t + εi,t

(1)

In model, controlling for firm leverage, the null hypothesis that geographic
dispersion does not have a statistically significant effect on underpricing is not
rejected at the 10% significance level. Leverage has a statistically significant effect
on underpricing at the 1% significance level. All else remaining equal, if the firm’s
leverage increases by 1%, the average underpricing will be reduced by 0.2479%.
The finding that leverage is significantly negatively associated with underpricing
supports the findings of Habib and Ljungqvist (2015).

It also controls for leverage and whether the firm was backed by a venture
capitalist; the coefficient for geographic dispersion is negative and significant at
the 10% significance level. Hence, if a firm is classified as a local firm, and all
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else remains equal, the average underpricing will be reduced by 3.29%. Leverage
provides similar results. The VC-backed firm dummy variable’s coefficient is
positive and statistically significant at the 1% level of significance. Therefore, if
a firm is backed by a venture capitalist, and all else is kept equal, the average
underpricing will be increased by 16.01%. The finding that VC backing is associated
with higher underpricing is consistent with Hamao et al. (2001) and Georgakopoulos
et al. (2022).

We further control for leverage, VC-backed firms and revision, and the coefficient
for geographic dispersion is negative and significant at the 10% significance level.
Therefore, ceteris paribus, if a firm is classified as local, the average underpricing
will be reduced by 3.56%. The coefficient for leverage is negative and significant
at the 1% significance level. Ceteris paribus, a 1% increase in leverage will lead to
a 0.148% reduction in the average underpricing. The VC-backed variable delivers
similar results to model 2. The coefficient for revision is positive and statistically
significant at the 1% significance level. Thus, if IPO revision increases by 1%,
average underpricing will increase by 0.012%. The finding that an increase in
revision is associated with higher underpricing is consistent with the findings of
Ljungqvist and Wilhelm (2002).

We continue by controlling for leverage, VC, revision and natural log of total
assets; the null hypothesis that geographic dispersion does not have a significant
effect on underpricing is rejected at the 10% significance level. Ceteris paribus,
if a firm is classified as local, average underpricing will be reduced by 3.66%.
Leverage, VC and revision deliver similar results to previous models. The natural
log of total assets coefficient is positive and significant at the 10% significance level.
Therefore, ceteris paribus, if the log of total assets increases by one unit, the average
underpricing will increase by 1.217%. The finding that a larger total asset value is
associated with higher underpricing is in contrast to Lowry and Murphy (2006)
hypothesis that larger firms with greater assets have less underpricing. The finding
is consistent with the results regarding geographic dispersion, as larger firms with
greater assets are dispersed and are associated with higher underpricing.

Then we control for the same variables as previously and add the overhang
variable; the coefficient for geographic dispersion is negative and significant at the
5% significance level. Therefore, ceteris paribus, if a firm is classified as a local
firm, average underpricing will be reduced by 3.83%. Leverage, VC and revision
deliver similar results. The coefficient for overhang is positive and significant at
the 5% significance level. Ceteris paribus, a 1% increase in overhang leads to
a 1.177% increase in average underpricing. The finding that greater overhang is
associated with more underpricing is consistent with the findings of Bradley and
Jordan (2002) and Lowry and Murphy (2006). When firms issue a smaller number
of shares relative to the existing shares, the dilution cost is low, which suggests that
underpricing is high.

García and Norli (2012) indicate that measures of geographic dispersion could
have a strong correlation with industry groups or with the year the IPO occurred;
therefore, the findings discussed above can be caused by IPO year or industry fixed
effects rather than geographic dispersion. This concern is addressed in the Panel
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B regression models. By running the same models while controlling for industry
and year fixed effects, the null hypothesis that geographic dispersion does not
have a statistically significant effect on underpricing is rejected at the 5% level of
significance for all five models. Therefore, the industry and year fixed effects do not
explain the significance of geographic dispersion as a determinant of underpricing.
Depending on the model, when controlling for fixed effects, ceteris paribus, if a firm
is local, average underpricing will be reduced between 4.08 and 4.75%. All other
control variables are also statistically significant and affect underpricing.

We continue by controlling for the same variables as previously and add a
prestigious underwriter rank dummy variable that is 1 if the underwriter has a
rank of 9; the coefficient for geographic dispersion is negative and significant at
the 5% significance level. All else being equal, if a company is classified as a
local firm, average underpricing will be reduced by 4.056%. The coefficient for
prestigious underwriter is positive and significant at the 1% significance level. All
else being equal, if the underwriter’s rank is 9, average underpricing will increase by
12.45%. The other control variables deliver similar results. The finding that a high
underwriter rank is associated with more underpricing is consistent with the findings
of Loughran and Ritter (2004), who state that this is due to highly respected and high
performing analysts having the leverage to underprice IPO shares.

Further testings take place by adding the New York dummy variable, which is
1 if a firm is listed on the NYSE and 0 otherwise; the coefficient for geographic
dispersion is negative and significant at the 5% level of significance. Ceteris paribus,
if a firm is classified as a local firm, the average underpricing will be reduced by
4.31%. The coefficient for the NYSE listing variable is negative and significant
at the 1% significance level. Therefore, if a firm is listed on the NYSE, average
underpricing will reduce by 16.81%.

We continue by including the Hot Market dummy variable, which is 1 in years
of a bullish market and 0 otherwise; the coefficient for geographic dispersion is
negative and significant at the 5% significance level. If else is kept equal, if a firm is
classified as local, average underpricing will be reduced by 4.68%. Controlling for
the hot market dummy variable, the constant loses its statistical significance. The
natural log of total assets becomes statistically significant at the 5% significance
level again. Ceteris paribus, a one-unit change in the natural log of total assets will
increase average underpricing by 2.99%. The hot dummy variable is statistically
significant with effect on underpricing at the 1% significance level. If a firm
issues in a hot market year, underpricing increases by 14.37%. This finding is
consistent with Ritter (1984), Bradley and Jordan (2002), Loughran and Ritter
(2004), Gounopoulos and Pham (2017), Gounopoulos and Pham (2018), Colak et
al. (2021b) and Gounopoulos et al. (2022). When controlling for year and industry
fixed effects, the hot market dummy variable is no longer significantly associated
with underpricing.

We make a step forward by adding the Auditor4 dummy variable, which is 1 if
a firm was audited by one of the Big 4 auditors and 0 otherwise; the coefficient for
geographic dispersion is negative and significant at the 5% significance level. This
means that if a firm is classified as a local firm, average underpricing will be reduced
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by 4.68%. The coefficient for the Auditor4 variable is positive and significant at the
10% significance level, and, all else being equal, if a firm is audited by a Big 4
firm, the average underpricing will be increased by 3.32%. The finding that a Big
4 auditor is associated with more underpricing contradicts Habib and Ljungqvist
(2015); however, when controlling for year and industry fixed effects, the Big 4
auditor dummy variable is no longer significantly associated with underpricing.

Next, we control for the same variables as previously but switch the natural log
of total assets variable with the natural log of IPO proceeds variable:

.

Underpricingi,t = β0 + β1Local Firm 20i,t + β2Leveragei,t + β3VCi,t

+β4Revisioni,t + β6Overhangi,t + β7Prestigious Underwriteri,t
+β8New Yorki,t + β9Hot Marketi,t + β10Auditor04i,t

+β11Ln Proceedsi,t + εi,t

(2)

This is due to the variables being strongly correlated. The model delivers similar
results to model 9; however, the adjusted R2 is reduced from 0.141 to 0.135. IPO
proceeds are significantly positively related to underpricing at the 10% significance
level but lose significance when controlling for year and industry fixed effects. This
supports the findings by Carter and Manaster (1990) and Cliff and Denis (2004) that
proceeds do not significantly help to explain underpricing.

Panel B gives the coefficients and standard error for the variables of the same
models that were run in Panel A, but controlling for industry and year fixed effects
to investigate if these fixed effects explain the significance of geographic dispersion
as a determinant of underpricing. The coefficient for geographic dispersion is
negative and significant at the 5% significance level. Thus, industry and year fixed
effects do not explain the significance of geographic dispersion as a determinant of
underpricing. Depending on the model, ceteris paribus, if a firm is classified as a
local firm, the average underpricing will be reduced by 4.68–4.89%.

4.2.2 Robustness Test with Concentration as a Measure of Geographic
Dispersion

Table 5 investigates if there is a relationship between concentration and under-
pricing. When controlling for firm leverage at the time of IPO, the results show
that the hypothesis cannot be rejected at the 10% level of significance and that
geographic dispersion (concentration) does not have a statistically significant effect
on underpricing. This is the same result reported in baseline model. The results
indicates that there is a statistically significant relationship between concentration
and underpricing. Thus, if a firm has high concentration, average underpricing will
be reduced between 6.66–6.904%, depending on the model. The robustness tests
support the finding that geographic dispersion has a statistically significant effect
on underpricing and initial returns are lower for firms with less geographically
dispersed economic activities.
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Table 6 uses concentration as the measure for geographic dispersion instead of
the local firm 20 dummy variable. The hypothesis that geographic dispersion does
not have an effect on underpricing is rejected at the 5% level of significance. Ceteris
paribus, if a firm has a concentration of 1, average underpricing will be reduced by
6.43%. There is thus a 99% confidence level that concentration has a statistically
significant relationship with underpricing. If an enterprise has a complete concen-
tration, average underpricing will be reduced by 8.23%. The robustness test supports
that geographic dispersion does have a statistically significant effect on underpricing
and that underpricing is less for firms with less geographically dispersed economic
activities.

4.2.3 Robustness Test with Local Firm 80 as Measure of Geographic
Dispersion

Table 7 shows results using the local firm 80 dummy variable as the measure for
geographic dispersion. The hypothesis that geographic dispersion does not have a
statistically significant effect on underpricing is rejected at a 1% level of significance
for all five models. Therefore, depending on the model, if a firm is classified as
a local firm (has a concentration larger than 0.56), average underpricing will be
reduced by 4.67–5.73%. The robustness tests support the findings that geographic
dispersion does have a statistically significant effect on underpricing and that
underpricing is less for low geographically dispersed firm’s economic activities.

The results of Table 8 reveal that if a firm is classified as a ’local’, the mean
underpricing will be 4.77–5.07% less than for ’dispersed’ characterised firms.
The results indicate that underpricing is lower for firms with less geographically
dispersed economic activities.

4.2.4 Geographic Dispersion and Litigation (Accounting Fraud)
Regressions

Logistic regression models are developed to investigate whether firms that have
more geographically dispersed economic activities are more likely to commit
accounting fraud compared to more geographically concentrated firms. The like-
lihood of committing accounting fraud as a function of geographic dispersion is
estimated by running logistic regression models, starting with controlling for one
variable and adding a control variable for every model thereafter, to investigate
if geographic dispersion loses its significance as a determinant of the increased
likelihood of accounting fraud when controlling for a specific variable:

.

Accounting Fraudi,t = β0 + β1Number of Statesi,t + β2VCi,t + β3Leveragei,t

+β4Revisioni,t + β5Overhangi,t

+β6Prestigious Underwriteri,t + β7New Yorki,t

+β8Hot Marketi,t + β9Auditor04i,t + εi,t

(3)
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Table 9 shows the logistic regression model estimates for all the variables.
The models deliver similar results for the control variables that overlap between
models, with the pseudo R2 increasing with each extra control variable that is
added. The number of states variable’s coefficient is positive, indicating that as
the number of states increases, the likelihood of a firm committing accounting
fraud also increases, and as the number of states that firms operate in decreases,
the likelihood of committing accounting fraud also decreases. The coefficient is
statistically significant at the 5% level of significance.

Table 10 shows the logistic regression model estimates. The coefficients are pos-
itive for all four models, indicating that firms with more geographically dispersed
economic activities are more likely to commit accounting fraud and that firms
with less geographically dispersed economic activities are less likely to commit
accounting fraud. The number of states coefficient is statistically significant at the
5% level of significance. Therefore, even when controlling for eight other variables,
geographic dispersion still has a statistically significant effect on the likelihood of
committing accounting fraud.

5 Conclusion

This study examines the association between underpricing, geographic dispersion
and the likelihood of accounting fraud. The findings indicate that the geographic
dispersion of a firm’s operations, measured by the number of states mentioned in
its 10-K annual report filed with the SEC, is related to underpricing. Results show a
significant negative relationship between underpricing and local firms. The negative
association is robust to controls for other significant determinants of underpricing
examined in the previous literature, year and industry fixed effects and alternative
measures of geographic dispersion. These findings are consistent with the hypoth-
esis that underpricing is more likely among more geographically dispersed firms.
Firms that are more geographically dispersed face larger information asymmetry
problems, such as the aggregation of financial data across firms.

The study further provides evidence that more geographically dispersed firms are
likely to commit accounting fraud than their local counterparts. The finding remains
robust for other firm attributes that have been examined in the previous literature.
More geographically dispersed firms face larger obstacles in monitoring accounting
compliance across states, which may explain this finding.

Managers should be aware that information asymmetries and accounting fraud
stem from the geographic dispersion of a firm’s operations and economic activities.
Managers should thus develop controls and put systems in place to ensure that
relevant information can be efficiently aggregated across multiple states and shared
with outside investors. Managers should invest in appropriate monitoring and
control systems to ensure accounting compliance across states.
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Appendix

Table A.1 Variable definitions

Firm characteristic Description Data sources

Underpricing Percentage IPO return = 100 * ((closing price on
the first day of trading/offer price)−1) (Cliff &
Denis, 2004)

SDC Platinum
New Issues
Database, CRSP

Revision 100 * (offer price/[0.5 * (PHigh + PLow)]−1),
where PHigh and PLow are defined as the upper and
lower bounds of the indicative price range that is
filed with the IPO issuer’s regulator (Ljungqvist &
Wilhelm, 2002)

SDC Platinum
New Issues
Database

Leverage Debt/(debt + equity) (Habib & Ljungqvist, 2015) SDC Platinum
New Issues
Database

Ln proceeds Natural log of the proceeds of the offering in
millions of dollars = Ln (offer price * number of
shares sold) (Aggarwal et al., 2002).

SDC Platinum
New Issues
Database

Overhang 100 * (pre-IPO shares being retained by pre-IPO
shareholders/shares issued in the IPO) (Lowry &
Murphy, 2006)

SDC Platinum
New Issues
Database

Ln total assets Natural log of total assets in millions of dollars
(Butler et al., 2014)

Compustat

Ln age Natural log of 1 + IPO firm age, where firm
age = IPO issue year—the year the firm was
founded (Butler et al., 2014)

Jay Ritter Web
Site

VC Dummy is 1 if firm is backed by a venture
capitalist and 0 otherwise (Butler et al., 2014)

SDC Platinum
New Issues
Database

Prestigious
underwriter

Dummy is 1 if underwriter reputation is ranked 9
and 0 otherwise (Butler et al., 2014)

SDC Platinum
New Issued
Database, Jay
Ritter Web Site

New York Dummy is 1 if the IPO listed on the NYSE and 0
otherwise (Butler et al., 2014)

CRSP

Hot market Dummy is 1 if offering occurred in hot/bullish
market and 0 otherwise (Derrien, 2005)

Hot market years
include
1995–2000, 2004
and 2006

Auditor4 Dummy is 1 if IPOs use Big 4 auditors (Deloitte,
KPMG, EY, PWC) and 0 otherwise (Smart &
Zutter, 2003)

SDC Platinum
New Issued
Database

Local firm 20 Dummy is 1 if firm operates in three or fewer
states (<= 20th percentile number of states) and 0
otherwise

EDGAR Database

Local firm 80 Dummy is 1 if firm has a concentration of more
than 0.56 (>80th percentile of concentration) and 0
otherwise

EDGAR Database



240 D. Gounopoulos

References

Abarbanell, J., & Lehavy, R. (2003). Biased forecasts or biased earnings? The role of reported
earnings in explaining apparent bias and over/underreaction in analysts’ earnings forecasts.
Journal of Accounting and Economics, 36, 105–146.

Aggarwal, R., Krigman, L., & Womack, K. (2002). Strategic IPO underpricing, information
momentum, and lockup expiration selling. Journal of Financial Economics, 66, 105–137.

Asquith, D., Jones, J. D., & Kieschnick, R. (1998). Evidence on price stabilization and underpricing
in early IPO returns. The Journal of Finance, 53, 1759–1773.

Baron, D. P. (1982). A model of the demand for investment banking advising and distribution
services for new issues. The Journal of Finance, 37, 955–976.

Beatty, R. P., & Ritter, J. R. (1986). Investment banking, reputation, and the underpricing of initial
public offerings. Journal of Financial Economics, 15, 213–232.

Benveniste, L. M., & Spindt, P. A. (1989). How investment bankers determine the offer price and
allocation of new issues. Journal of Financial Economics, 24, 343–361.

Bradley, D. J., & Jordan, B. D. (2002). Partial adjustment to public information and IPO
underpricing. The Journal of Financial and Quantitative Analysis, 37, 595–616.

Brennan, M., & Franks, J. (1997). Underpricing, ownership and control in initial public offerings
of equity securities in the UK. Journal of Financial Economics, 45, 391–413.

Butler, A. W., Keefe, M. O. C., & Kieschnick, R. (2014). Robust determinants of IPO underpricing
and their implications for IPO research. Journal of Corporate Finance, 27, 367–383.

Carter, R. B., & Manaster, S. (1990). Initial public offerings and underwriter reputation. Journal of
Finance, 45, 1045–1067.

Cliff, M. T., & Denis, D. J. (2004). Do initial public offering firms purchase analyst coverage with
underpricing? The Journal of Finance, 59, 2871–2901.

Colak, G., Gounopoulos, D., Loukopoulos, P., & Loukopoulos, G. (2021a). Political power, local
policy uncertainty and IPO pricing. Journal of Corporate Finance, 67, 101907.

Colak, G., Gounopoulos, D., Loukopoulos, P., & Loukopoulos, G. (2021b). Tournament incentives
and IPO failure risk. Journal of Banking & Finance, 130, 106193.

Derrien, F. (2005). IPO pricing in “hot” market conditions: Who leaves money on the table? The
Journal of Finance, 60, 487–521.

Desai, V., Kim, J. W., Srivastava, R. P., & Desai, R. V. (2017). A study of the relationship between
a going concern opinion and its financial distress metrics. Journal of Emerging Technologies in
Accounting., 14, 17–28.

Economidou, C., Gounopoulos, D., Drivas K., Konstantios D., & Tsiritakis M. (2022a). Trade-
marks, patents and performance of IPOs. Working paper.

Economidou, C., Gounopoulos, D., Konstantios, D., & Tsiritakis, E. (2022b). Is sustainability
rating material to the market? Financial Management.

Gao, W., Ng, L., & Wang, Q. (2008). Does geographic dispersion affect firm valuation? Journal of
Corporate Finance, 14, 674–687.

García, D., & Norli, Ø. (2012). Geographic dispersion and stock returns. Journal of Financial
Economics, 106, 547–565.

Georgakopoulos, G., Gounopoulos, D., Huang, C., & Patsika, V. (2022). The impact of IFRS
adoption on IPOs management earnings forecasts in Australia. Journal of International
Accounting, Auditing and Taxation, 48, 100490.

Goergen, M., Gounopoulos, D., & Koutroumpis, P. (2021). Do multiple credit ratings reduce
money left on the table? Evidence from U.S. IPOs. Journal of Corporate Finance, 67, 101898.

Gounopoulos, D., & Huang, C. (2022). Stay concentrate to survive. Working paper, University of
Bath.

Gounopoulos, D., & Pham, H. (2017). Credit rating effect on earnings management in U.S. IPOs.
Journal of Business Finance and Accounting, 44, 154–195.

Gounopoulos, D., & Pham, H. (2018). Specialist CEOs and IPO survival. Journal of Corporate
Finance, 48, 217–243.



Geographic Dispersion and IPO Underpricing 241

Gounopoulos, D., Kallias, A., Kallias, K., & Tzeremes, P. (2017). Political money contributions of
U.S. IPOs. Journal of Corporate Finance, 43, 19–38.

Gounopoulos, D., Loukopoulos, G., Loukopoulos, P., & Wood, G. (2022). Corporate political
activities and the SEC’s oversight role in the IPO process. Journal of Management Studies.

Grullon, G., Larkin, Y., & Michaely, R. (2019). Are US industries becoming more concentrated?*.
Review of Finance, 23, 697–743.

Habib, M. A., & Ljungqvist, A. P. (2015). Underpricing and entrepreneurial wealth losses in IPOs:
Theory and evidence. The Review of Financial Studies, 14, 433–458.

Hamao, Y., Packer, F., & Ritter, J. (2001). Institutional affiliation and the role of venture capital:
Evidence from initial public offerings in Japan. Pacific-Basin Finance Journal, 8, 529–558.

Heider, F., & Ljungqvist, A. (2015). As certain as debt and taxes: Estimating the tax sensitivity of
leverage from state tax changes. Journal of Financial Economics, 118, 684–712.

Ibbotson, R. G. (1975). Price performance of common stock new issues. Journal of Financial
Economics, 2, 235–272.

Ibbotson, R. G., & Jaffe, J. F. (1975). “HOT ISSUE” MARKETS. The Journal of Finance, 30,
1027–1042.

James, C., & Wier, P. (1990). Borrowing relationships, intermediation, and the cost of issuing
public securities. Journal of Financial Economics, 28, 149–171.

Landier, A., Nair, V. B., & Wulf, J. (2009). Trade-offs in staying close: Corporate decision making
and geographic dispersion. The Review of Financial Studies, 22, 1119–1148.

Ljungqvist, A. P., & Wilhelm, W. J. (2002). IPO allocations: Discriminatory or discretionary?
Journal of Financial Economics, 65, 167–201.

Logue, D. E. (1973). On the pricing of unseasoned equity issues: 1965–1969. The Journal of
Financial and Quantitative Analysis, 8, 91–103.

Loughran, T., & Ritter, J. R. (2002). Why don’t issuers get upset about leaving money on the table
in IPOs? The Review of Financial Studies, 15, 413–443.

Loughran, T., & Ritter, J. (2004). Why has IPO underpricing changed over time? Financial
Management, 33, 5–37.

Lowry, M., & Murphy, K. (2006). Executive stock options and IPO underpricing. Journal of
Financial Economics, 85, 39–65.

Lowry, M., & Shu, S. (2002). Litigation risk and IPO underpricing. Journal of Financial
Economics, 65, 309–335.

Megginson, W. L., &Weiss, K. A. (1991). Venture capitalist certification in initial public offerings.
Journal of Finance, 46, 879–903.

Platikanova, P., & Mattei, M. M. (2016). Firm geographic dispersion and financial analysts’
forecasts. Journal of Banking & Finance, 64, 71–89.

Ritter, J. R. (1984). The “hot issue” market of 1980. The Journal of Business, 57, 215–240.
Rock, K. (1986). Why new issues are underpriced. Journal of Financial Economics, 15, 187–212.
Ruud, J. S. (1993). Underwriter price support and the IPO underpricing puzzle. Journal of

Financial Economics, 34, 135–151.
Shi, G., Sun, J., & Luo, R. (2015). Geographic dispersion and earnings management. Journal of

Accounting and Public Policy, 34, 490–508.
Smart, S. B., & Zutter, C. J. (2003). Control as a motivation for underpricing: A comparison of

dual and single-class IPOs. Journal of Financial Economics, 69, 85–110.
Stoughton, N. M., & Zechner, J. (1998). IPO-mechanisms, monitoring and ownership structure.

Journal of Financial Economics, 49, 45–77.
Thomas, S. (2002). Firm diversification and asymmetric information: Evidence from analysts’

forecasts and earnings announcements. Journal of Financial Economics, 64, 373–396.
Tiniç, S. M. (1988). Anatomy of initial public offerings of common stock. The Journal of Finance,

43, 789–822.
Welch, I. (1989). Seasoned offerings, imitation costs, and the underpricing of initial public

offerings. The Journal of Finance, 44, 421–449.
Welch, I. (1992). Sequential sales, learning, and cascades. The Journal of Finance, 47, 695–732.


	Geographic Dispersion and IPO Underpricing
	1 Introduction
	2 Literature Review
	2.1 Underpricing Theories
	2.1.1 Asymmetric Information
	2.1.2 Institutional Reasons
	2.1.3 Ownership and Control Considerations
	2.1.4 Behavioural Approaches and Other Theories

	2.2 Geographic Dispersion

	3 Hypothesis Development
	3.1 Geographic Dispersion Sample Selection and Data Sources
	3.1.1 Number of States as a Measure of Geographic Dispersion
	3.1.2 Concentration as a Measure of Geographic Dispersion
	3.1.3 Concentration and Other Firm Characteristics

	3.2 Litigation (Accounting Fraud)
	3.3 Explanatory Variables for Underpricing and Litigation

	4 Empirical Results
	4.1 Introduction
	4.2 Main Findings/Results
	4.2.1 Underpricing and Geographic Dispersion (Local Firm 20) Regressions
	4.2.2 Robustness Test with Concentration as a Measure of Geographic Dispersion
	4.2.3 Robustness Test with Local Firm 80 as Measure of Geographic Dispersion
	4.2.4 Geographic Dispersion and Litigation (Accounting Fraud) Regressions


	5 Conclusion
	Appendix
	References




