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Abstract. The management of solid waste is of great importance to avoid
floods, infections and respiratory diseases, for this reason the present research
aimed to develop a route planner for the collection of solid waste in the city of
Huénuco, using general algorithms. Ethics. In addition, the study was of a
quantitative-experimental approach. The following techniques and instruments
were used to collect the information: scientific observation because we will
examine the external reality in order to obtain the data in advance, observation
guide to record evidence of solid waste collection, which was validated using
the expert technique, who evidenced the existing relationship between the
proposed objectives, categories, indicators, items and response options consid-
ering their coherence, relevance and writing The population was made up of
192,627 inhabitants of the city de Huanuco, The results of the tests show the
effectiveness of the genetic algorithm with a population of 4 vehicles, in which
lower cost values were obtained, and with respect to the execution time, a
greater number of destinations. The graph was constructed by gathering infor-
mation from the streets and/or avenues of the Huanuco district such as
addresses, coordinates, and street intersections, through the Google Maps map
provider through an Adjacency matrix, to then run the Genetic Algorithm.

Keywords: Genetic algorithms - Route planner - Waste collectors

1 Introduction

In Latin America and the Caribbean, households continue to form the primary source of
production and composition of urban solid waste, so real communication about pro-
duction and composition is essential for their management, because they often lack the
necessary infrastructure for the correct treatment of these.

The generation of garbage in Peru and the world is linked to practically anything
we do, and it is only in Peru that more than 18 thousand tons of garbage are generated
every day; This garbage produced must be collected and properly treated by the
municipalities and institutions in charge of it. In Peru, the collection of household solid
waste has been the work of the municipalities, which are in charge of assigning routes
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for the collection of waste, these being empirically designated without a formal opti-
mization study. (Manrique 2020, p. 5).

The figures are not encouraging at all. If humans do not change our habits, it is
estimated that by 2050 there will be more plastic than fish in the ocean and that 99% of
marine animals will have ingested it, according to the United Nations Environment
Program.

In 2018, the city of Huanuco reported to the National Institute of Statistics and
Informatics that per day it collected 282,181 kg of garbage, this collection represents,
according to data from the Ministry of the Environment, 70% of the garbage produced
daily, that is, approximately 120 934 kg of garbage remains on the streets, this is due to
different factors, the main cause being the poor distribution of solid waste collectors.

The city of Huanuco collects solid waste constantly and through defined routes,
although it is true at first glance this method seems to work without problems, the
reality is that it does not, this because there are places in the city. city where there is a
greater concentration of people, which leads to a greater generation of waste in the
main areas of the city, such as the popular markets (Mercado Modelo de Huénuco),
parks and squares (Plaza Mayor and Plaza de Armas), among other areas.

The degree of awareness achieved in society on the issue of ecology requires that
solid waste management take care of the environmental environment; Therefore, citi-
zens demand superior and important controls and regulations. On the other hand,
Hermitafio (2019), argues that The VRP (Vehicle Routing Problem, in English) is one
of the best known problems, as well as captivating and challenging of the integer
combinatorial optimization, it is placed in the category of problems Called NP -
Complete, it is a large set of problem variants and customizations. From those that are
simpler to some that today are still a matter of research (p. 13).

In turn, the New Law of Integral Solid Waste in Peru Legislative Decree No. 1278,
establishes that solid waste is an input for other industries where it is no longer considered
as garbage and is now considered as raw material in other industries that can give value to
waste. Another contribution of the new Comprehensive Solid Waste Law is that it lays the
foundations for the development of a large recycling industry at the international level, in
such a way that Peru could become a regional solid waste treatment hub, generating
higher income, investment, higher employment and high standards of environmental
management. However, this law has not yet been applied in the city of Huanuco, where a
reality different from that supported by the Law is reflected, main streets with excess
garbage and uncontrolled traffic that does not meet planning standards.

Finding the shortest route from a certain source to a certain destination is a well-
known and widely applicable problem. Most of the work done in the area has used
static route planning algorithms such as A*, Dijkstra, the Bellman-Ford algorithm.
Although these might be optimal algorithms, they are not capable of dealing with
certain real-life scenarios. (Nanayakkara et al. (2007)).

In turn, Li et al. (2006). Argues that algorithms allow various acceptable solutions
that will depend on the problem treated, operations such as encoding, crossing and
mutation are adapted to adapt to the optimal route planning. The simulation results
show that the specific genetic algorithm has advantages such as a fast calculation speed
and a high probability of an optimal solution, however each of the methods to be
applied has its own advantages and disadvantages. (Li et al. 2006).
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2 Theoretical Framework

2.1 Genetic Algorithm

The so-called evolutionary genetic algorithms (GA) work with a population of indi-
viduals, who represent possible solutions to a problem. This population undergoes
certain transformations and subsequently a selection process, which favors the best
individuals. (Petriv 2012, p.7). In turn, genetic algorithms (GA) address a wide range of
concepts, and are thus a useful tool for the detection of optimized solutions. They are
inspired by biological evolution and its genetic basis, evidenced in the evolutionary
traits of a population.

These individuals are subjected to random actions similar to those that act in nature
(genetic recombinations and mutations), developing through iterations called genera-
tions. (Petriv 2012, p.7).

For Goldberg (1989), he argues that a genetic algorithm consists of a population of
solutions encoded in a similar way to chromosomes. Each of these chromium-somes
will have an associated adjustment, goodness or fitness value, which quantifies its
validity as a solution to the problem.

Genetic algorithms require that solutions to the problem can be represented in some
binary format, that two or more of these solutions can be significantly combined, and
that an objective function value can be evaluated for each of these solutions.

2.2 Structure of the Genetic Algorithm

A genetic algorithm requires the following structures: a genetic representation and an
objective function.

Genetic representation refers to the way to represent individuals or solutions, in
genetic representation information on the characteristics of individuals must be
included.

The objective function is used to determine how fit an individual is based on what
you want to achieve in the final solution. The objective function evaluates the per-
formance of individuals and this is how the fittest can be determined. (Castillo 2018,

p. 18).

2.3 Characteristics of the Genetic Algorithm

The characteristics of the proposed AG were taken as a reference from (Nanayakkara
et al. 2007), (Moratilla et al., 2014) and (Ikeda & Inoue, 2016) since they demonstrated
optimal results in their investigations of vehicular routing problems.

The simplest meta description for a genetic sequence.

The algorithm has the following steps:

1) Coding

2) Initial population generation

3) Repeat until completion criteria are met
a) Evaluation

b) Crossing
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¢) Mutation
4) Decoding

More detailed description of genetic and evolutionary algorithmic approaches, and
applications of such approaches can be found in Mitchell M. (1998) in (Nanayakkara
et al. 2007).

2.4 Stages of a Genetic Algorithm

The stages of a GA, defined by Schmitt (2001), are:

Initialization: Form the initial population of possible solutions.

Selection: The selection process consists of executing the objective function in
each one of the individuals to determine their level of aptitude.

Genetic operations: It is the stage in which the subset of the population selected in
the previous stage is altered to obtain a new population, it may be by the Crossover or
Mutation methods.

Termination: It is defined when a solution is obtained that satisfies certain criteria,
a certain number of iterations is reached, or when the iterations no longer produce
better results.

2.5 Graph Theory

The theory of graphs is used in the treatment of various problems, the graphs constitute
a useful abstraction to model various real situations such as the problem of vehicle
routes, and its greatest importance is manifested in the theory of networks, in the
computer science and telecommunications, among others. (Hermitafio 2019, p. 8).

A graph G = (V, E) is an ordered pair in which V is a nonempty set of elements
called vertices and E is a set of elements called edges, consisting of unordered pairs of
vertices, such that yes {x, y C E}, then we say that x and y are adjacent vertices; it is
represented by an unoriented line that joins these vertices. (Hermitafio 2019, p. 8).

— Given a graph G = (V, E), then it is said that:

— It is alasso or loop to all edges of the form with (v € V)

— The edges are multiple when the edges that appear repeated in E.

— Vertices are adjacent if they are joined by an edge.

— Edges are adjacent if they have a common vertex.

— An edge and a vertex are incidents if the vertex is extreme of the edge.

— A vertex is isolated if it is not adjacent to any other vertex.

— A graph is simple if it has no loops or multiple edges. (Hermitaiio 2019, p. 9).

2.6 Metaheuristics

Metaheuristics is a kind of special method or strategy that performs an intensive
exploration of the solution space. (Hermitafio 2019, p. 9).

Metaheuristic Techniques
The best known metaheuristic methods are:
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Simulated Annealing (Simulated Annealing, 1993)

Genetic algorithms (Holland, 1960)

Taboo search (Glover, 1986)

Greedy random adaptive search procedure (Horowitz, 1978)
Ant colony algorithms (Dorigo, 1999)

Guided local search (1999)

Search for the neighborhood of a variable (2003)

Route Planning
It is the procedure of creating the most profitable route possible, minimizing the dis-
tance or travel time we need to get to our set of planned stops.

Planning is a critical process within logistics both due to the existing competition
and the reduction of margins of action in the market. A high expenditure on vehicles,
boats or any type of transport along with fuel and maintenance of the same to which we
must add labor (Saminef 2020).

Route Programming

The main objective of the programming of a route is to reduce expenses as well as the
time factor, intervening stops, arrivals and destination. However, route optimization
includes factors such as schedules, time constraints, road restrictions, weight capacity
among others (Saminef 2020).

2.7 Objecives

General Objecives
Develop a route planner for the collection of solid waste in the district of Huanuco
using Genetic algorithms.

Specific Objectives

— Determine the problem of solid waste collection in the Huanuco district.

— Design the genetic algorithm.

— Design the optimal route plan for the Huanuco district.

— Conduct tests of the planner for the collection of solid waste in the district of
Huanuco.

3 Methodology

The study carried out is of a complementary type because it uses qualitative techniques
(Observation Guide) and quantitative techniques (Development of an algorithm to
define an optimal route plan). Therefore the approach is complementary.

In itself, the design is experimental of the quasi-experimental subtype, because a
stimulus is used through the route planner and determines the optimal route, in a set of
routes established by the researchers.
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The technique for collecting the information was the observation guide in order to
obtain the data that, in advance, have been defined as of interest for the investigation.
According to Sampieri, the population defines it as: “A set of all cases that meet certain
specifications”, which is equivalent to 12 vehicle units in charge of collecting garbage
in the study area.

The sample “Subgroup of the universe or population from which the data are
collected and which must be representative of it”. For the study the sample is made up
of 4 vehicle units in charge of collecting garbage in the city.

The study sampling was established as a non-probability sampling for the conve-
nience of the researchers.

4 Results

The main results obtained are defined according to the objectives indicated in this
study:

According to the objective of Determining the problem of solid waste collection in
the Huanuco district, the problem was defined through an Observation Guide, whose
objective was to collect information on the routes of solid waste collection in the city of
Huéanuco, The problem found was the inadequate solid waste collection management in
the Hudnuco district, the observation area was carried out in the streets of the city of
Huénuco and strategic places, the observation time was carried out in 3 h a day for
3 days, the observation guide was structured according to 5 dimensions of web plat-
form analysis, operation, test, restrictions and planning, through a nominal scale with a
yes and no answer, reporting through the instrument used, that the management of the
authorities is terrible, residents accumulate their waste next to their houses or in places
accumulated by neighbors, recent accumulations were observed in The places where
waste accumulates, uniformed collectors were also observed carrying safety tools
(helmet and gloves), few places were observed to deposit their waste, garbage bags
were located around the places where the collection trucks pass.

According to the objective of Designing the genetic algorithm, it was established
that genetic algorithms are particularly appropriate to solve real route optimization
problems due to their robustness and flexibility to adapt to changing environments, and
complies with a structure defined as:

— Genetic architecture.

— Populations and their size.
— Initial population.

— Evaluation.

— Selection.

— Crossing.

— Mutation.

The operation of the genetic algorithm follows the following process:

1. Initialization of the population.
2. Repair function.
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Fitness assessment.
Repeat the process.
Selection of survival, elitist strategy.
Cross operation.
Selection of parents, selection by tournament.
Mutation operation.
9. Repair function.
10. Assessment of aptitude.
11. Until meeting a convergence criterion.
12. Decode the best solution.

PN AW

Genetic Algorithm Application Model
The case study presented in this section corresponds to the cleaning and collection of
solid waste needs in the city of Huanuco.

For which the model was then started, with a set of classes (initial population, route
and final vertex), which have associated their distances from vertex to vertex and costs,
divided, the routes are divided into vertices, usually the distance -from one vertex to
another is different, we have 4 trucks available, 2 trucks for garbage collection during
the day shift hours and 2 trucks for garbage collection during the night shift hours, for
this, 4 optimal routes were generated.

We define then: A route of 4 assignments, one for each collection truck. The routes
were subjected to multiple restrictions, greater number of vertices and the schedule, no
route was accepted if it did not comply with all the established restrictions.

Variables Involved

a) Path length: The maximum size of an individual
b) Start vertex: The beginning of the route

¢) Final vertex: It is the end of the tour

d) Maximum length

e) Generation: Initialization of the Initial population
f) Temporary population

g) Population size

h) Elitism: 2 Individuals

i) Selection operation: Selection by tournament

j) Crossing Operator: 1 point

k) Crossover rate: 0.80%

1) Mutation rate: 0.1%

According to the objective of designing the optimal route plan for the Huanuco
district, the most suitable route plan was established.
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Graphic Representation of a Route

Algoritmo Genético

;,.Coémo representa el cromosoma nuestro resultado?

P1 ji P5
G1|1|1|°D11°|°|°|1|1|°|1|1|1|1|1|‘l°|1|°|

Fig. 1. Representation of the assigned vertices.

It must be taken into account that the vertices assigned in a chromosome are generated
randomly, “but not so random”, this because it can randomly repeat the vertices;
therefore, it is considered invalid vertex, which is considered in the creation of valid
chromosome. Authors’ elaboration.

And it fulfills the following structure: Chromosome = [vertex;, vertex;, vertexs,
vertexy,... vertex,].

6 chromosome = [route;, route,, routes, routea, . . . route,] (Fig. 1).

Analyzing the structure of the chromosome, it is indicated that one of the possible
optimal pathways is the vertex 1, followed by vertex,... until the vertex n. This reflects
the distance of the vertex; a vertex,, plus the distance of vertex, a vertexs, so keep
adding up to the distance of vertex,_; until vertex,,.

Fitness: It is the adaptation value of each chromosome, which allows to corroborate
which chromosome is more suitable among the population. This is reflected by the
following equation:

Fitness = 1—distance/maximum distance * tam Chromosome).

Coding an Individual According to the Structure Described

v == s < -

- ~_ao0s > =

AH PACHACUTEC R P,311 X :

B2 4 3 A8E322308 ~- 5
> 320 2 z.413 G

B.L 335 345 401 K K

6% s 334

> E2s 23 376 S

= 352 363 M1
T 210 < . o1

315, 331522 D1

7216 231 p

Fig. 2. Coding an individual according to the structure described

The figure shows the representation of the route of the collection trucks, represented by
the location points of the area under study and its vertices. Obtained through the online
server Google Maps (Fig. 2).
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Representation of a Vertex
The code for a vertex consists of (3) characters. The vertex codes can be coded from V1

to V99 (See Fig. 3).

Fig. 3. Representation of a vertex.

The figure shows the representation of a vertex. Example V8.

Representation of a Route. The most optimal route for the collection trucks is rep-
resented (See Fig. 4).

v il e = =R
: a0s 417 F

AH PACHACUTEC R P, 811 <3 :

B2L J 3 AQES==32 - ’
B2 0N o z.413 G

- 335~ °

E

Fig. 4. Representation of a route, image obtained through the online server Google Maps.

Representation of a Collection Truck

They are made up of (4) alphanumeric characters that are the first two characters of the
truck and the last two of the truck schedule. Characters can be from C1D1 to C4D2
(Table 1).

Table 1. Representation of a collection truck

Truck name

Truck code

Truck 1 Morning
Truck 2 Afternoon

C1D1
C2D2

Truck 3 Morning | C3D1

Truck 4 Afternoon | C4D2

Note. The table shows the way a
collection truck will be repre-
sented, the name of the truck and
the collection truck code
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Distance Representation
It is formed by two vertices, the distance codes can be alphanumeric of (3) digits. The
distance codes can be from D01 to D99.

— Conduct tests of the planner for the collection of solid waste in the district of
Huanuco.

— Develop a route planner for solid waste collection in the Huanuco district using
Genetic algorithms (Fig. 5).

B

o, amn ". s

Fig. 5. Distance representation.

The figure shows how to represent the distance between two vertices. Image
obtained through the online server Google Maps.

Representation of a Day
The code for a day consists of one (1) digit. Day codes can be encoded from 1 to 3.

Table 2. Representation of a day
Dia Codigo
Tuesday
Thursday | 2
Saturday |3

—

Nota. The table shows the way of the representation of a day, where the collection
truck only passes through the route three times a week. The days of the week will be
Tuesday, Thursday and Saturday.

Data Set Preparation
To obtain the georeferential points, it begins with obtaining the georeferenced points
(latitude and longitude) by the “Google Maps” map application server, on the map of
the city of Huanuco, to later convert those points into a weighted directed graph. The
georeferenced points to take into account will be obtained at random. The georefer-
enced points are obtained in this manual way according to the investigations of (Zhang,
Chen, & Li, 2015).

Based on the information obtained from the map server Google Maps, we obtain the
summary of the data of each simulated route.
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VERTICE LATITUD, LONGITUD LUGAR

V1 9°56'24.44"S | 76°14'56.47"0 Jr. Dos de Mayo con jr. Tarma

V2 9°56'21.11"S , 76°14'54.83"0 Prol. Abtao

V3 9°56'19 41"S | 76°15'1 10"0 Ir_Tarma con prol San Martin

V4 9°56'12.28"S , 76°15'7.91"0 Jr. Tarma con jr. Independencia

V5 9°56'7.95"S | 76°14'58.82"0 Jr. Leoncio Prado con jr. Seichi Izumi

Vé 9°56'10.14"S | 76°14'56.40"0 Prol. San Martin con jr. Seichi Izumi

v7 9°56'13.76"S , 76°14'52.27"0 Calle Huallaga con jr. Seichi Izumi

V8 9°56'17.63"S . 76°14'48.12"0 Jr. Dos de Mayo con jr. Seichi Izumi

Vo 9°56'12.50"S , 76°14'39.34"0 Jr. 28 de Julio con jr. Junin

V10 9°56'10.27"S | 76°14'32.26"0 Jr. Hermilio Valdizan con Malecén Alomia Robles
Vi1 9°56'5.47"S | 76°14'33.89"0 Jr. 28 de Julio con jr. Mayro

Vi2 9°56'7.53"S | 76°14'44.86"0 Jr. Abtao con jr. Junin

V13 9°56'3.01"S , 76°14'51.20"0 Jr. San Martin con jr. Junin

Vi4 9°56'9.67"S | 76°14'49.31"0 Psje. Dos Aguas con jr. Libertad

V15 9°56'0.91"S | 76°14'40.28"0 Jr. Abtao con jr. Mayro

V16 9°55'56.46"S , 76°14'46.50"0 Jr. San Martin con jr. Mayro

V17 9°55'59.17"S , 76°14'56.80"0 Jr. Independencia con jr. Junin

V18 9°55'53.08"8 , 76°14'51.37"0 Jr. Independencia con jr. Mayro

V19 9°56'8.55"S , 76°14'22.59"0 Malecén Alomia Robles con jr. Tarapaca
V20 9°56'3.08"S | 76°14'22.67"0 Jr. Bolivar con jr. Aguilar

V21 9°55'58.68"S , 76°14'29.22"0 Jr. 28 de Julio con jr. Aguilar

V22 9°55'54 35"S | 76°14'35.71"0 Jr. Abtao con jr. Aguilar

V23 9°55'50.06"S , 76°14'42.11"0 Jr. San Martin con jr. Aguilar

V24 9°55'45.51"S |, 76°14'48.99"0 Jr. Independencia con jr. Aguilar

V25 9°56'1.76"S , 76°14'18.10"0O Malecén Alomia Robles con jr. Ayacucho
V26 9°55'55.57"S | 76°14'12.74"0 Malecén Alomia Robles con jr. General Prado
V27 9°55'57.75"S , 76°14'16.58"0 Jr. Huanuco

V28 9°55'56.20"S , 76°14'23.01"0 Jr. Hermilio Valdizan con psje. La Merced
V29 9°55'52.15"S | 76°14'24.86"0 Jr. 28 de Julio con jr. Huanuco

V30 9°55'47.72"S , 76°14'31.21"0 Jr. Abtao con jr. Hudnuco
V31 9°55'43.32"S | 76°14'37.61"0 Jr. San Martin con jr. Huanuco
V32 9°55'38.60"S . 76°14'44.47"0 Jr. Independencia con jr. Huanuco
V33 9°55'53.53"S , 76°14'8.52"0 Malecon Leoncio Prado con jr. Damaso Beraun
V34 9°55'47.82"S , 76°14'17.08"0 Jr. Hermilio Valdizan con jr. Damaso Beraun
V35 9°55'41.34"S |, 76°14'26.95"0 Jr. Abtao con jr. Ddmaso Beraun
V36 9°55'36.95"S | 76°14'33.52"0 Jr. San Martin con jr. Damaso Beraun
V37 9°55'32.65"S , 76°14'40.14"0 Jr. Independencia con jr. Damaso Beraun
V38 9°55'44.77"S |, 76°14'5.51"0 Psje. San Cristobal con Malecon Leoncio Prado
V39 9°55'39.41"S , 76°14'8.23"0 Malecon Leoncio Prado con jr. Progreso
V40 9°55'39.19"S | 76°14'15.96"0 Jr. 28 de Julio con jr. Constitucién
V41 9°55'34 84"S | 76°14'22.69"0 Jr. Abtao con jr. Constituciéon
V42 9°55'30.45"S | 76°14'29.27"0 Jr. San Martin con jr. Constitucién

V43 9°55'25.97"S , 76°14'36.08"0 Jr. Independencia con jr. Constitucion
V44 9°55'35.56"S |, 76°14'6.97"0 Malecédn Leoncio Prado con jr. Pedro Puelles
V45 9°55'32.70"S , 76°14'11.59"0 Jr. 28 de Julio con jr. Pedro Puelles

V46 9°55'28.42"S , 76°14'18.17"0 Jr. Abtao con jr. Pedro Puelles

V47 9°55'23.94"S , 76°14'25.05"0 Jr. San Martin con jr. Pedro Puelles

V48 9°55'23.16"S , 76°14'33.72"0 Jr. Independencia con jr. Progreso

V49 9°55'19.73"S , 76°14'31.33"0 Jr. Independencia con jr. Pedro Puelles
V50 9°55'32.25"S , 76°14'5.70"0 Malecén Leoncio P. con Alameda de la Republica
V51 9°55'29.63"S , 76°14'9.54"0 Jr. 28 de Julio con Alameda de la Republica
V52 9°55'27.23"S , 76°14'12.79"0 Jr. Dos de Mayo con Alameda de la Republica
V53 9°55'24.96"S , 76°14'16.07"0O Jr. Abtao con Alameda de la Republica
V54 9°55'21.68"S , 76°14'18.52"0 Jr. Huallayco con Alameda de la Republica
V55 9°55'20.15"S , 76°14'20.79"0 Jr. San Martin con Alameda de la Republica
V56 9°55'16.84"S . 76°14'25.30"0 Jr. Leoncio Prado con Alameda de la Republica
V57 9°55'16.48"S |, 76°14'29.00"0 Jr. Independencia

Fig. 6. Simulated routes.
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The figure represents the vertices, latitude, longitude and place of the Huanu-co
district, which have been considered in the simulation with Google Maps.

The data previously produced in Fig. 6 were obtained from the representation of the
map of the city of Huanuco, making use of the “Google earth” map application server
as indicated in the following figure (Fig. 7).

Fig. 7. Simulated routes obtained on the map server “Google Maps”.

It is important to mention that in Fig. 4 the projected trajectory is not the optimal
route, but is the trajectory automatically produced by the “Google Maps” application
when placing various points on the map.

Convert Georeferenced Points to Graphs

Launch the Problema

The solid waste collection truck must travel at the infectious focus points set by the
user, so how to determine an optimal path for the solid waste collection truck so that the
length traveled is the shortest, taking into account the direction of the streets.
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Modeling the Problem

From the point where the truck is to the points of infectious foci, a graph must be
originated, now both the truck and the infectious foci from now on will be called
vertices. Where the starting vertex of the truck will be called v 0, the rest of the vertices
are the infectious foci, which will be “v1,2”, and the routes between them will be called
edges. The modeling is carried out in this way because the map application server
“Google earth”, although it can save the information of a part of the map that the user
selects automatically, the format of that information is a list of coordinates (latitude and
longitude), which does not show the relationship of a coordinate with another coor-
dinate (adjacent vertices), nor the direction of the streets, nor the value of the distance
(cost) of a coordinate with another coordinate The graph presents a Starting Point: V1
End Point: V57 (Fig. 8)
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Problem Solution

The solid waste collection network is abstracted as follows, “v0” the vertex where the
truck is located, and the other vertices are the infectious foci, the weight of the edge
between the vertices is the length of the route interpreted in meters (m).

The procedure to carry out the adjacency matrix is summarized in abstracting the
distance between a pair of vertices that are associated and in turn accessible, from the
directed graph of Fig. 14, see Table 2.

It is necessary to refer to some conclusions in the development of the planning of
routes established in this aspect, under the evolutionary model, the shortest route of n
vertices can be found and it does not present complications due to the number of
vertices to be evaluated, considering that it was tested with “n” nodes and we predict
that it will be in seconds.
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Fig. 9. Flow diagram of the algorithm for route planning, designed in the PsInt tool. Prepared by
the authors.
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The genetic algorithm that is developed calculates optimal routes based on distance,
time, taking into account random events such as distances, vertices and the time of, while
the GoogleMaps algorithm has an average error of 24%, therefore, With the proposed
genetic algorithm, the accuracy of route calculation is improved compared to
GoogleMaps.

From the tests it is necessary to highlight the importance of the initial vertex of the
route because any additional deviation affects the trajectory considerably (Fig. 9).

Application of the Genetic Algorithm on the Graph
Flow Chart Design

5 Discussion

Having concluded with the results of the present investigation, in this chapter it is
intended to approach the discussion of results, considering the results obtained, the
theories that support the investigation and the antecedents, as José Jaime Ruz says, the
application that helps to obtain the most optimal, it reduces costs for our entities, which
is a good option. You use genetic programming to carry out these types of projects. On
the other hand, Jorge Andrés Quintero tells us that the world of transport has very
serious problems causing many losses and for this, using technology is a good option to
combat these deficiencies, he also tells us that the most important thing for this type of
implementation is the Planning is for this reason that in our project we first saw the part
of the guide in order to see the deficiencies that transport has for waste collectors, after
that we plan the type of language that we will use and how we intend to solve this
problem, for this we use a page that is known to all or the vast majority called Google
Maps. This page helped to collect real data for our project; Medina tells us that there
are eight basic elements to design genetic algorithms.This heuristic technique originally
developed to solve TSP has been modified to satisfactorily solve CVRP and SCVRP
and this helped us to design the genetic algorithm of the routes for waste collection.
And finally we designed this genetic algorithm in a small city called Huanuco, because
we saw that the management of the garbage collectors’ routes was not good and with
all the data collected we started to implement this project, the An explanation of our
project is in the annexes, in more detail but here we will explain in a summarized way,
it is an app where it will ask you for the number of streets, the transition if it is a lot or
this street is empty and then ask if they are two-way or No, and with all these data our
algorithm will identify which is the most optimal route, but first we have to make some
adjustments because we know, or at least those who live in Hudnuco, that the streets of
Huénuco are not square, for this are the adjustments before of the search, and the result
will come out of a nomenclature elaborated by us, the first letter identifies the column
and the first number the number of the column then it will find another 1 This will be
the row and the row number in order to arrive at the optimal route.

Conclusions

The graph was constructed by gathering information from the streets and/or avenues of
the Huanuco district such as addresses, coordinates, street intersections, through the
Google Maps map provider through an Adjacency matrix, to later execute the Genetic
Algorithm.
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The procedure to find the best route between several infectious foci causes the
genetic algorithm to be used twice to find the best solution. The first place, when
entering the initial point and the infectious foci, evaluates the most optimal route in the
order from which the collection truck should pick up, and secondly, constructing the
shortest route between each pair of vertices to arrive from the truck to the first
infectious focus, and from the infectious focus to the next if there is one, and so on
progressively.

The execution time of the genetic algorithm to find an optimal solution can be
decreased, reducing the population size, but it is observed that, for complex routes, the
precision of the genetic algorithm decreases as the population size is reduced.

Recommendations

Municipalities or public or private companies in the town of Hudnuco are recom-
mended to implement a route planning software using the genetic algorithm, since it
provides you with a more optimal solution to find a route from an initial point to an end
point.

Future researchers are recommended to modify the genetic algorithm developed to a
multiobjective algorithm, where it can take into account information on traffic, route
through main roads, etc. Converting the proposed genetic or algorithm into an intel-
ligent route planning system.

References

Bernays, E.L.: Public Relations Idea book. Printers In Pub. Co, USA (1958)

Botto, M.: La comunicacion en las instituciones educativas de nivel (2011)

Goldberg D.: Genetic Algorithms in Search, Optimization and Machine Learning, 1st. edn.).
Addison-Wesley Longman Publishing Co., Inc., Boston (1989). ISBN:978-0-201-
15767Digital Library, https://dl.acm.org/doi/book/https://doi.org/10.5555/534133

Hermitafio, M.: Optimizacién de rutas para la recolecciéon de residuos solidos con uso de
contenedores aplicando el algoritmo colonia de hormigas en la ciudad de Huaraz. Universidad
Nacional Santiago Antunez de Mayola. Repositorio Institucional NASAM (2019). http://
repositorio.unasam.edu.pe/handle/UNASAM/4056

Manrique, F.: Sistema de recojo de residuos solidos domiciliarios y sus efectos ambientales y
econdmicos en el distrito de Pocollay. Universidad Privada de Tacna. Repositorio
Institucional UPT (2020). http://repositorio.upt.edu.pe/handle/UPT/1660

MINAM: Nueva ley de residuos sélidos (2020). https://www.minam.gob.pe/gestion-de-residuos-
solidos/nueva-ley-de-residuos-solidos/

Arkhipov D., Wu, D., Wu, T., Regan, A.C.: Un marco de algoritmo genético paralelo para la
planificacion del transporte y la gestion logistica. IEEE Access 8, 106506106515 (2020).
10.1109 / ACCESS.2020.2997812

Petriv, C.: Algoritmos genéticos aplicados a soluciones logisticas de sanidad. Centri Educativo
de las Fuerzas Armadas de Argentina. Trabajos Finales Integradores de Especializacion
Repositorio Digital CEFA (2012). http://cefadigital.edu.ar/handle/1847939/285

Nanayakkara, S., Srinivasan, D., Wei, L., German, X., Taylor, E., Yong, S.H.: Planificador de
rutas basado en algoritmos genéticos para grandes redes de calles urbanas. In: Congreso IEEE
sobre Computacion Evolutiva, pp. 4469-4474. Repositorio institucional IEEE (2007).
10.1109 / CEC.2007.4425056, https://ieeexplore.ieee.org/document/4425056


https://doi.org/10.5555/534133
http://repositorio.unasam.edu.pe/handle/UNASAM/4056
http://repositorio.unasam.edu.pe/handle/UNASAM/4056
http://repositorio.upt.edu.pe/handle/UPT/1660
https://www.minam.gob.pe/gestion-de-residuos-solidos/nueva-ley-de-residuos-solidos/
https://www.minam.gob.pe/gestion-de-residuos-solidos/nueva-ley-de-residuos-solidos/
http://cefadigital.edu.ar/handle/1847939/285
https://ieeexplore.ieee.org/document/4425056

Genetic Algorithm to Plan Routes. 535

Li, Q., Liu, G., Zhang, W., Zhao, C., Yin, Y., Wang, Z.: A specific genetic algorithm for
optimum path planning in intelligent transportation system.In: 6th International Conference
on its Telecommunications, pp. 140-143 (2006). 10.1109 / ITST.2006.288799

Saminef: Planificacion y estudio de rutas. LOCOEX (ASCOEL S.A.L.) LOGISTICA Y
COMERCIO (2020). https://logisticaascoel.com/planificacion-estudio-rutas/

Schmitt, M.: Theory of genetic algorithms. Theoretical Computer Science (2001)

Castillo, J.: Implementacion de un algoritmo genético para elaborar un conjunto de rutas 6ptimas
para el transporte de la comunidad universitaria desde y hacia el campus principal. Pontificia
Universidad Catolica del Peru. Repositorio Institucional PUCP (2018). https://tesis.pucp.edu.
pe/repositorio/handle/20.500.12404/13047

Moratilla, A., Fernandez, E., Sanchez, J.J., Borja, V.: Selection optimal number of operators for
the treatment of VRP problems withGenetic algorithms (2014)

Ikeda, Y., Inoue, M.: An Evacuation Route Planning for Safety Route Guidance System after
Natural Disaster Using Multi-Objective Genetic Algorithm. Procedia Comput. Sci. 96, 1323—
1331 (2016). https://doi.org/10.1016/j.procs.2016.08.177

Zhang, X., Chen, Y., Li, T.: Optimization of logistics route based on Dijkstra. In: Proceedings of
the IEEE International Conference on SoftwareEngineering and Service Sciences, ICSESS,
2015-Novem(1), pp. 313-316 (2015).https://doi.org/10.1109/ICSESS.2015.7339063


https://logisticaascoel.com/planificacion-estudio-rutas/
https://tesis.pucp.edu.pe/repositorio/handle/20.500.12404/13047
https://tesis.pucp.edu.pe/repositorio/handle/20.500.12404/13047
https://doi.org/10.1016/j.procs.2016.08.177
https://doi.org/10.1109/ICSESS.2015.7339063

	Genetic Algorithm to Plan Routes. Case: Waste Collectors - Huanuco, Peru. 2020
	Abstract
	1 Introduction
	2 Theoretical Framework
	2.1 Genetic Algorithm
	2.2 Structure of the Genetic Algorithm
	2.3 Characteristics of the Genetic Algorithm
	2.4 Stages of a Genetic Algorithm
	2.5 Graph Theory
	2.6 Metaheuristics
	2.7 Objecives

	3 Methodology
	4 Results
	5 Discussion
	References




