
Chapter 21
The Impact of Immigration on Foreign
Market Access: A Panel Analysis

Murat Genç and Dennis Wesselbaum

21.1 Introduction

Over the last couple of decades, the world has seen an increase in flows of capital
(Foreign Direct Investment, FDI for short) and labour (migration). FDI flows in 2017
stand at $1.43 trillion according to theUnitedNationsWorld InvestmentReport 2018,
with the largest flows reported for developed economies ($712 billion) followed by
developing countries ($671 billion). The United States experience the largest outflow
($342billion) followedby Japan ($160billion), andChina ($125billion). The average
inward FDI returnwas 6.7%,where returns in developing countries, on average, were
larger compared to developed countries (8 vs. 5.7%).

From the UN International Migration Report 2015 we can infer that 3.3% of the
world’s population (roughly 250 million people) are migrants. Here, we use the UN
Recommendations on Statistics of InternationalMigration and define an international
migrant as “[…] any person who changes his or her country of usual residence”.
While the level is increasing, the report also documents that the rate of change is
increasing. The UN report also documents that Europe and Asia are the two major
areas of destination for international migrants. The top countries hosting migrants in
2015 were the United States, Germany, the Russian Federation, Saudi Arabia, and
the United Kingdom. In some countries, the average annual rate of change was more
than six percent. The average migrant in the world is male (52%), 39 years old, and
comes from a middle-income country. Most migrants originate in Asia and Europe
while Latin America and Africa are closing the gap.
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In this chapter, we investigate the relationship between FDI flows, trade, and
migration. There are various channels through which migration can, in theory, affect
trade and FDI flows. First, immigrants moving to a country have specific tastes and
demand a set of goods produced in their home countries. Hence, one can expect
imports to the destination country to increase. Further, this effect should not change
the volume of exports out of the destination country towards the origin country. Of
course, there might be an offsetting substitution effect, where migrants in a given
destination country start to produce these specific goods themselves (Girma and
Yu 2002). Second, a key channel is that migrant (networks) reduce the trade costs
between the destination and the origin country. Migrants, trivially, have better infor-
mation of origin country markets, the language (esp. dialects), and business practices
(incl. laws). Further, they form networks increasing the interconnectedness of coun-
tries. Along this line, we would expect the effect of reduced trade costs to be largest
for very different destination–origin country pairs. This is due to the fact that the
value of information is largest in this scenario.

We are, of course, not the first to look at these links. The early studies by Gould
(1994), Rauch andTrindade (2002), andRauch andCasella (2003) showhowmigrant
networks can promote bilateral trade. Networks could increase the diffusion of
knowledge (Jaffe et al. 1993), remove informational or cultural barriers (Kugler
and Rapoport 2011), or better contract enforcement and taste similarities (Burchardi
et al. 2018). Chaney (2014), for example, finds that French firms only export into
markets where they have a contact. He then builds a network model of trade that
fits the distribution of foreign markets accessed by firms in his sample. There are
numerous further studies that establish a positive link between immigration and trade,
as confirmed by Genc et al. (2012) in their meta-analysis of 48 empirical studies. For
Sweden, Hatzigeorgiou (2010) find that immigration increase exports and imports,
finding a stronger effect on exports. Interestingly, he provides evidence for the infor-
mation channel by showing that the effect of migration is larger for differentiated
goods than for homogeneous goods. Along this line, Fagiolo and Mastrorillo (2014)
use a complex-network model of merchandise trade and find that the networks of
migration and trade are strongly correlated. However, trade also depends on the
relative embeddedness of a country in the complex web of corridors making up the
networks.

The link between immigration and trade has also been established at the firm
level. For example, Cohen et al. (2017) find that firms are more likely to trade with
countries that have a larger resident population close to their firm headquarters. They
use the location of WWII Japanese internment camps as an instrumental variable to
identify a population shock. Bastos and Silva (2012) match historically determined
emigration stocks with detailed firm-level data from Portugal, and find that larger
stocks of emigrants in a given destination increase export participation and intensity.
In addition, they show that the former of these effects tends to be more pronounced
among firms that are more likely to have close ties with the emigrants. Parratto et al.
(2016) use employer–employee matched data for the whole Danish population of
firms (andworkers) between 1995 and 2007, and find that on averagemore ethnically
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diversified firms perform better on the international market along all measures of
market reach.

The literature on the link between immigration and FDI is, however, more recent
and is not that well established. Burchardi et al. (2018) have shown that the ancestry
composition in U.S. counties has an effect on FDI sent and received by firms. They
argue that this is mainly driven by a reduction in information asymmetries. Lücke and
Stöhr (2018) use panel data for OECD countries and find a robust positive impact of
bilateral immigrants on FDI only if residents of the two countries have few language
skills in common. Parsons and Vezina (2018) use a natural experiment to address the
causation versus correlation issue. They use the outflow of Vietnamese Boat People
to the United States. They find that after trade restrictions were lifted, 20 years after
the refugee inflow, U.S. exports to Vietnam grew the largest in U.S. states with larger
Vietnamese populations. Along this line, Javorcik et al. (2011) show that US FDI
abroad is positively correlated with migrants from the origin country in the US.
Similarly, Buch et al. (2006) find that German states with a large foreign population
have higher stocks of inward FDI. Tong (2005) shows that Chinese networks increase
FDI flows between South-East Asian countries and countries beyond.

Kugler and Rapoport (2007) considered the skill component of migration. They
find that manufacturing FDI is negatively correlated with low-skill migration.
However, FDI flows in the service and the manufacturing sector are positively corre-
lated with high-skill migration. Felbermayr and Jung (2009) find positive effects of
migration on trade, but show that this effect does not depend on education levels.
In contrast, Gheasi et al. (2013) show that education matters for this relationship in
the UK. More educated migrants create a stronger positive effect on FDI. Tomohara
(2017) uses FDI data for Japan and finds that with increasing skilled immigration,
FDI inflows become more dominant than imports.

In contrast to this literature, we consider flows of capital and migrants across a
larger set of destination and origin countries over 12 years. Further, we investigate
whether the elasticity of FDI flows with respect to migration depends on the number
of migrants. We hypothesize that the size of the migrant flow, as it affects the stock
of migrants, and therefore the size of the migrant network, could have a non-constant
effect on capital flows. We argue that the diffusion of knowledge is faster and infor-
mational or cultural barriers are reduced bymore when themigrant network becomes
larger. We test this hypothesis using flows of capital and migrants between 15 OECD
countries and 126 origin countries from 2000 to 2012.

We then distinguish between the flow of capital (FDI) and the flow of goods and
services (trade). As argued by Benassy-Quere et al. (2007) FDI flows, in contrast to
trade flows, are more sensitive to any form of uncertainty. This is due to the high
sunk cost component in investing capital abroad. Therefore, we are interested in
investigating whether drivers are similar or different across these two components
of international cooperation.

Several results stand out.Wefind thatmigration is amain driver of FDI flows in our
sample. The direct effect of migration on FDI is highly significant. We find that for a
ten percent increase in migration this year, FDI flows next year will be roughly 5.6%
higher. This lends support to the previous literature finding that migrant networks
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increase capital (and trade) flows. If we control for various other covariates, we find
that the partial effect of migration is reduced but still significant. Here, we find that
a ten percent increase in migration flows this year will increase FDI flows next year
by 4.3%. Further, we do not find evidence for the impact of migration to depend
on the size of migration flows. The squared migration term that we include in our
regression model is statistically insignificant.

We then turn our attention away from the flow in capital (FDI) and correlate
migration and the trade in goods and services (imports and exports). We find that the
effect of migration on trade is of similar magnitude as its effect on FDI flows. While
in the FDI case, a ten percent increase in migration increased FDI flows by roughly
5.6%, the increase is 6.3% for exports and 6% for imports. Finally, for exports we
find that the immigrant elasticity of exports depends on the size of migrant flows in
the form of an inverted U-shaped relationship. Such a relationship is not present in
the case of imports.

The chapter is structured as follows. In the next section, we present our data
set. Section 21.3 has a preliminary view at our data. We present our empirical
approach in Sect. 21.4. Section 21.5 presents our empirical results and Sect. 21.6
briefly concludes.

21.2 Data

21.2.1 Migration Flows

One of our key variables is the migration flow (migration) from origin to destination
country. The data for migration are taken from the work by Aburn and Wesselbaum
(2017). They have 16 OECD destination countries and 198 origin countries over the
period from 1980 to 2015. The time period and choice of destination countries are
dictated by data availability.

Migration flows are taken from the 2015 Revision of the United Nations’ Popula-
tion Division and are combined with data from the OECD. As usual in the migration
literature, this data set only covers regular, permanent migration. This implies that
the data set excludes illegal immigration. This will likely lead to an underestimation
of the true migration flows.

Although this data set has more than 80,000 observations, we can only use 35,062
of them in our analysis due to the data availability of other variables that need. This
gives us a migration data set that only contains about 10% zero migration flows.

Our migration data are annual. Other papers in the literature use decennial time
observations rather than annual migration flows (e.g. Kugler and Rapoport 2011).
The advantage is that they can use a larger set of bilateral country pairs. However, the
flip side is that these data sets contain a much larger number of zero flows. Further,
the small number of time observations ignores year-to-year variations, especially
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important for the estimation of the effects of short-term fluctuations. This could be
important given the large sensitivity of capital flows.

21.2.2 FDI Flows

Our FDI data come from Feng et al. (2018). They are one-way FDI outflows from
172 origin countries to 169 destination countries in millions of US$ that are available
from the UNCTAD database. The data cover the years from 2001 to 2012. Of the
FDI data, 33% are zeros, and about 18.6% are negative values.

21.2.3 Trade Data

Trade (exports and imports) data are obtained from UNSD’s COMTRADE database
through World Integrated Trade Solution (WITS), and are in thousands of US$.

21.2.4 Covariates

All the covariates are standard gravity variableswhich are obtained from theDynamic
Gravity Dataset that has recently been developed (Gurevich and Herman 2018). This
dataset is constructed in such a way that many standard gravity variables exhibit
more variation in time and magnitude. The distance variable, for example, reflects
the distance between pairs of cities by incorporating the proportion of the country’s
population residing in each city, making distance a time-varying variable.

We use distance as a proxy for migration and trade costs. It is the population-
weighted average of city-to-city bilateral distances in kilometres between eachmajor
city in the origin anddestination countries. This definition of distancemore accurately
captures the distance economic activity must travel between two countries (Gurevich
andHerman, TheDynamicGravityDataset: TechnicalDocumentationVersion 1.00).
Further, we consider three dummy variables that proxy cultural closeness between
countries. First, we use a border dummy (Contiguity), which is one if the country-pair
shares a border. For various reasons (German reunification in 1990 and independence
of Czech Republic, Slovakia, and Slovenia in the early 1990s) the border dummy is
time-varying. Second, we use a common language dummy. The dummy for language
is one, if a country-pair has the same official language. Finally, a dummy picking
up post-1945 colonial ties (Colony). This dummy is one if the origin country was a
colony of the destination OECD country for at least one year after 1945.

Finally, as a trade facilitation variable, we use a dummy variable (agree_pta) that
equals one if the origin and destination countries are engaged in a preferential trade
agreement of any type within a given year.
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Table 21.1 Descriptive statistics

Variable Obs Mean Std. Dev. Min Max

FDI (millions $) 9153 602.099 3821.874 −31,200 109,000

FDI when nonnegative 7433 895.227 4027.349 0 109,000

Migration 35,062 1485.267 6940.917 0 271,000

Migration (nonzero) 31,409 1658.01 7313.905 1 271,000

Exports (1,000 $) 15,127 2,560,000 1.10e+07 0 2.71e+08

Imports (1,000 $) 23,900 2,160,000 1.04e+07 0.009 3.05e+08

Distance (kms) 35,014 7363.417 4524.301 157.801 19505.67

Contiguity 35,014 0.018 0.133 0 1

Comlanguage 34,640 0.14 0.347 0 1

Agree_pta 35,014 0.223 0.416 0 1

Colony 35,014 0.009 0.094 0 1

We had data on population and GDP as well, but these variables could not
be included in the regression models due to collinearity in any of the models we
estimated.

21.3 A Preliminary View at the Data

In this section,wewant to have thefirst, preliminary viewat our data set.Althoughour
migration dataset contains 198 origin countries and 16 OECD destination countries,
we end up with 126 origin countries and 15 OECD destination countries when we
merge it with the FDI data.1 Merging it with trade data gives us 97 origin countries
for exports and 144 origin countries for imports.

Table 21.1 presents the descriptive statistics of our key variables. The average
FDI flows are about 600 million US$ when negative flows are ignored. The average
number of migrants is about one and half million. About 2% of the country pairs
share a common border, and 14% have the same official language. About 22% of the
country pairs are engaged in some type of a preferential trade agreement in a given
year.

Figure 21.1 plots migration flows over time in our sample. We plot the total
annual migrant inflows into all our destination countries coming from the 126 origin
countries. There is a clear trend of increasingmigration over the entire sample period.
This includes a sharp peak in 2007, just before the Global Financial Crisis in 2008.

Figure 21.2 presents total FDI flows in our sample over time. We again observe
a sharp peak in 2007 just before the Global Financial Crisis. The pattern the graph

1These OECD countries are Australia, Austria, Belgium, Canada, Denmark, Finland, Germany,
Italy, Netherlands, New Zealand, Norway, Spain, Sweden, Switzerland, UK, and USA. Belgium is
not included in the FDI dataset.
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Fig. 21.1 Migration flows over time

Fig. 21.2 Total FDI flows in our sample

displays is very similar to the pattern displayed in the plot of migrant flows. However,
the drop in FDI flows after the GFC is much sharper compared to the drop in migrant
flows.

In Fig. 21.3, we show a scatter plot of migration versus FDI flows. In order to
gain some intuition for out later analysis, we also plot a simple linear regression
line (in red). We find a positive correlation between migration and FDI. This is
as expected given the theoretical insights and the previous literature we discussed.
It indicates that there is a relationship between migration and FDI. We also ran a
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Fig. 21.3 Scatter plot of log migration versus log FDI

quadratic regression to investigate the presence of non-linearity in the relationship,
but the difference between the linear regression line and the obtained quadratic form
was negligible.

21.4 Empirical Approach

We construct a standard gravity model to investigate the relation between FDI and
migrant flows, and also to investigate the relationship between trade and migrant
flows. Gravity models have been used extensively in the literature for both trade
flows and FDI flows. Although gravity models have traditionally been employed as
linear models with log-transformed dependent variables, it is nowwidely recognized
that more care needs to be taken due to the presence of many zeros in the observed
values of the log-transformed variables. This is in fact the case in our analysis as
33% of the FDI flows are zeros in our sample.

Following the approach advocated by Silva and Tenreyro (2006) and recom-
mended by Yotov et al. (2016), we estimate the gravity model in its multiplicative
formbyusing aPoisson estimator knownas thePoissonpseudo-maximum-likelihood
(PPML) estimator. Thus, we estimate the simple gravity equation

yi j t = exp
[
λi t + ψ j t + ηi j + βX i j t

] + εi j t ,

where i, j, and t are indices for origin, destination, and time. The vector X contains
migration flow, the main variable of interest, and the standard gravity variables as
control variables. The terms λi t , ψ j t , ηi j represent the origin-time, destination-time,
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and origin–destination (pair) fixed effects, and εi j t is the standard error term. The
dependent variable, yi j t , is either FDI flow or exports or imports, in levels.

This is a three-way fixed effects model with time-varying origin and destination
fixed effects and time-invariant pair fixed effects. Computational issues with large
samples such as ours have made it difficult to estimate such models for a long time,
but Larch et al. (2019) have introduced an iterative PPML estimator that makes it
possible to estimate these “high-dimensional fixed effects (HDFE)” models. We use
their Stata command ppml_panel_sg to estimate the model (Zylkin 2017).

We are mainly interested in the impact of migration on the dependent variable in
the equations we estimate. We take the logarithm of migration flow, and, in order to
reduce the problem of endogeneity, we use its lagged value in the regression. Thus,
its coefficient can be interpreted as an elasticity.2

The gravity control variables GDP, population, and distance enter our model after
taking their logarithms. The remaining control variables described before enter as
dummy variables.

21.5 Empirical Results

a. FDI and Migration

Table 21.2 presents our estimation results. Model (1) presents the direct or total
effect of migration on FDI flows in our sample. Here, we find a significant positive
effect of migration on FDI. For a ten percent increase in migration flows, we would
observe an increase of 5.7% in FDI flows. Notice that we are using lagged migration.
Therefore, the interpretation slightly needs to be adjusted. For a ten percent increase
in migration this year, FDI flows next year will be 5.7% higher. This also documents
the persistence effect in the migration-trade relationship. This could be explained
by network effects (Kugler and Rapoport 2011). Once migrants arrive, they need
time to settle-in, where an existing migrant network would help. In general, such
an existing migrant network would reduce the cost of migration. Related to trade,
this implies that if migrants move from origin country i to designation country j, the
network generated between the two countries ij will lead to a reduction in trade costs
and, therefore, will create an incentive to do more business. We find this effect in our
regression with an increase in FDI flows of about 5.7%.

Model (2) adds control variables that allowus to seewhether the effect ofmigration
also works through other channels and to address the unobserved variable bias. Of
course, now our parameter estimate for migration will only indicate an indirect,

2Some of the values for migration flows are zeros, 2.42% in analysing FDI flows and 10.4%
in analysing trade flows. We considered using the inverse hyperbolic sine (IHS) transformation,
which retains zeros, as suggested by Burbidge et al. (1988). This transformation assigns zeros to
observed values of zeros. We instead assigned zeros to the logarithm of zero migration flows just
as HIS transformation would, equivalent to changing zeros to ones before taking the logarithm. We
compared our results to the results obtained with HIS transformation. They were almost identical.
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Table 21.2 FDI flows

(1) (2) (3)

Lagged migration 0.566*** (0.0374) 0.434*** (0.0435) 0.559* (0.220)

Log distance −0.362*** (0.0770) −0.359*** (0.0779)

Contiguity 0.109 (0.137) 0.107 (0.137)

Common language −0.0858 (0.0894) −0.0789 (0.0882)

Agree_pta −0.0607 (0.105) −0.0546 (0.106)

Colony −0.965*** (0.292) −0.944*** (0.283)

(lagged migration)2 −0.00823 (0.0129)

N 4673 4604 4604

r2 0.875 0.877 0.878

Panel PPML estimation with time-varying origin and destination fixed effects. Logarithms of GDP
and population are dropped due to collinearity with fixed effects. Standard errors in parentheses. *p
< 0.05, **p < 0.01, ***p < 0.001

or partial effect, of migration on FDI flows. Our regression shows that the effect
of lagged migration on FDI is still significantly positive but smaller in magnitude
compared to the direct (total) effect. Here, we find that a ten percent increase in
migration flows this year will increase FDI flows next year by 4.3%. Distance, as
expected, has a statistically significant impact on FDI flows. Colonial ties are found
to have a negative impact. The remaining gravity variables have not been found to
have a statistically significant effect.

Model (3) includes the square of logged lagged migration. Here, we test whether
themigration elasticity of FDI flowswould vary with the size of themigrant network,
a hypothesis that a priori appears intuitive. However, we do not find evidence for this
hypothesis in our data set. The squared migration term is statistically insignificant.
The coefficient of lagged migration is significant again, and its magnitude is as high
as it was with no other controls.

In conclusion, we find that migration does significantly affect FDI flows. For a ten
percent increase in migration this year, FDI flows next year will increase by about
5.7%. Our findings support the results by others in the related literature that migrant
networks can increase capital flows and business opportunities. The literature starting
with Gould (1994), Rauch and Trindade (2002), and Rauch and Casella (2003) argue
that migrant networks would increase bilateral trade.We find support for their results
by showing that migration increases capital flows. Our results are in line with the
findings by Javorcik et al. (2011) that show thatUSFDI abroad is positively correlated
with migrants from the origin country in the US. They find that a 1% increase in the
migrant stock increases the FDI stock by around 0.5%. Similarly, Buch et al. (2006)
find that German states with a large foreign population have higher stocks of inward
FDI. Tong (2005) shows that Chinese networks increase FDI flows between South-
East Asian countries and countries beyond. We add to these papers by considering a
larger cross-country panel.
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When it comes to the mechanisms through which migration could affect FDI
flows our results are silent. However, drawing from the work by Jaffe et al. (1993)
and Kugler and Rapoport (2011), we could argue that migrant networks on the one
hand increase knowledge diffusion and remove informational or cultural barriers.

At the end of this section, we want to emphasize some shortcomings of our study.
The biggest concern is that our regression suffers from endogeneity bias. We tried
to mitigate this problem by using lagged migration, but a better approach would
be to use a proper instrumental variable approach. We were thinking about using
natural disasters at an instrument. However, whether the exclusion restrictions hold
is a difficult question.

b. Is Trade Different?

In the previous section, we considered FDI flows. FDI flows, by definition, are
different from trade as they measure financial capital rather than the trade of goods
and services. In this section, we want to repeat our previous empirical approach, but
use a trade variable.

Table 21.3 present our estimation results using imports at origin countries as
dependent variable.

As before, we start with the direct effect of lagged migration on imports. We find
that the effect is highly significant. For a ten percent increase in migration flows,
we find an increase in the import value of 6%. This effect is similar in magnitude
to the effect on FDI flows, which was about 5.7%. Next, model (5) controls for
other covariates. Controlling for other variables reduces the impact of migration
considerably. A ten percent increase in migration flows is now associated with a
1.5% increase in imports. As it was the case with FDI flows, the coefficient of the
squared logged lagged migration is not statistically significant, implying that the

Table 21.3 Imports

(4) (5) (6)

Lagged migration 0.601*** (0.0151) 0.150*** (0.00880) 0.142*** (0.0214)

Log distance −0.926*** (0.0292) −0.925*** (0.0292)

Contiguity 0.219*** (0.0226) 0.219*** (0.0227)

Common language −0.0538 (0.0299) −0.0541 (0.0300)

Agree_pta 0.211*** (0.0443) 0.211*** (0.0444)

Colony 0.420*** (0.0595) 0.419*** (0.0593)

(Lagged migration)2 0.000528 (0.00146)

N 23,916 22,687 22,687

r2 0.706 0.954 0.954

Panel PPML estimation with time-varying origin and destination fixed effects. Logarithms of GDP
and population are dropped due to collinearity with fixed effects. Standard errors in parentheses. *p
< 0.05, **p < 0.01, ***p < 0.001
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Table 21.4 Exports

(7) (8) (9)

Lagged migration 0.631*** (0.0162) 0.247*** (0.0113) 0.0338 (0.0281)

Log distance −0.565*** (0.0238) −0.566*** (0.0235)

Contiguity 0.323*** (0.0303) 0.312*** (0.0305)

Common language −0.0201 (0.0387) −0.0326 (0.0387)

Agree_pta 0.582*** (0.0431) 0.581*** (0.0430)

Colony 0.272*** (0.0785) 0.253** (0.0812)

(Lagged migration)2 0.0137*** (0.00167)

N 15,131 14,581 14,581

r2 0.794 0.946 0.946

Panel PPML estimation with time-varying origin and destination fixed effects. Logarithms of GDP
and population are dropped due to collinearity with fixed effects. Standard errors in parentheses. *p
< 0.05, **p < 0.01, ***p < 0.001

constant-elasticity model is appropriate. Adding this squared term does not have any
significant effect on the magnitude and statistical significance of the coefficients.

All the gravity variables have the expected signs, and all, apart from common
language dummy, are statistically significant. Only the coefficients of logged distance
and colony dummy variable were statistically significant in the estimation equation
for FDI flows. Engaging in any type of a preferential trade agreement is found to
have a positive effect on imports. (Such engagement is predicted to increase imports
by about 23.5%, on average.) Having colonial ties has a very significant impact,
increasing imports by about 52%, on average. A common border, on the other hand,
increases imports by about 25%.

So far, we considered import value as a dependent variable, as a proxy variable
of trade. We want to see whether the results are robust to using a different measure
of trade: the export value. Table 21.4 presents our estimation results.

The results are similar to the ones obtained for import values. The main difference
we find is that for exports, the coefficient on the squared logged migration flow is
positive and statistically significant. This implies that the immigrant elasticity of
exports is not constant and it varies with the size of migrant flows. The positive
coefficient on this variable means that the marginal benefits from migration are
larger for exports for higher levels of migration flows.

The magnitude of the effect of migrant flows on exports is of similar magnitude
found for imports. The impact of being engaged in a preferential trade is found to
have a very large impact on exports, about 79% increase on average. The impacts of
having a common border and engaging in a preferential trade agreement are slightly
larger for exports; 38% and 31%, respectively. The elasticity of exports with respect
to distance is, however, much smaller compared to imports.

Overall, we can conclude that contiguity and free trade agreements are not associ-
ated with FDI flows, but they have an impact on trade. Speaking a common language,
the way it is defined here, is not found to have an impact on FDI flows or trade. Most
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importantly, migration flows are found to be associated with both FDI flows and
trade. The constant migration elasticity model is found to be valid for FDI flows and
imports, but not for exports.

21.6 Summary and Conclusion

This chapter is motivated by the observed dynamic in flows of capital (Foreign Direct
Investment, FDI for short) and labour (migration) over the last couple of decades that
the world has seen. We investigate the relationship between FDI flows, trade, and
migration.

We add to a growing literature that looks at the link between FDI, trade, and
migration.

In contrast to the existing literature, we consider flows of capital, trade variables,
and migrants across a larger set of destination and origin countries over 12 years
(2000–2012). First, we investigate the relationship between migration flows and FDI
flows as well as the relationship between migration and trade. We then investigate
whether migration elasticity of FDI flows and trade is constant. Our idea is that the
size of the migrant flows, as it affects the stock of migrants over time, can have a
non-constant effect on capital flows and trade volumes. In line with the mechanisms
discussed earlier, we argue that the diffusion of knowledge could be faster and infor-
mational or cultural barriers could be reduced by more, when the size of the migrant
network increases.We test this hypothesis using flows of capital, trade, andmigration
between 16 OECD countries and 126 origin countries for FDI flows and 97 origin
countries for trade flows from 2000 to 2012.

Our findings can be summarized as follows. We find that migration and previous
colonial ties are important drivers of FDI flows in our sample. Contiguity and prefer-
ential trade agreements are also found to contribute to trade flows. The direct effect
of migration on FDI is highly significant. We find that for a ten percent increase in
migration this year, FDI flows next year will be roughly 5.7% higher. If we control
for various other covariates, we find that the partial effect of migration is slightly
reduced, but still significant. We find that a ten percent increase in migration flows
this year will increase FDI flows next year by 4.3%. Further, the effect of migration
on imports or exports is of similar magnitude when no other variable is controlled
for. However, the impact is found to be much smaller when gravity variables are
included in the regressions. Overall, these findings support the results in the previous
literature finding that migrant networks increase capital and trade flows.

Further, oncewe deviate from a constant-elasticitymodel, we do not find evidence
for non-constancy in the relationship betweenmigration and FDI. The squaredmigra-
tion term that we include in our regression model is insignificant. This also holds for
imports. However, for exports we find evidence for a non-constant elasticity.

When we look at the other covariates in our regression, we find that both colonial
ties and distance reduce FDI flows. For a ten percent increase in population-weighted
distance between the pairs of countries, FDI flows will be reduced by roughly 3.6%.
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The reduction in trade flows is much larger for trade, 9.3% for imports and 5.7% for
exports. Colonial ties are found to have a positive impact on trade flows. Preferential
trade agreements and contiguity are also found to be positively associated with trade
volumes.

Overall, our results highlight the importance of immigration policies as a means
to increase FDI and trade flows between countries. There are benefits to be received
from encouraging immigration and engaging in preferential trade agreements.
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