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Counseling: A Step-by-Step Guide

Researchers have demonstrated the pivotal role 
that school counseling plays in addressing the 
academic, socio-emotional, and college-career 
needs of students (Carey & Martin, 2015). School 
counseling has been linked to increased college 
applications (Bryan, Moore-Thomas, Day-Vines, 
& Holcomb-McCoy, 2011), greater school bond-
ing or connectedness (Bryan, Moore-Thomas, 
Gaenzle, Kim, Lin, & Na, 2012; Lapan, Wells, 
Petersen, & McCann, 2014; Lee & Smith-
Adcock, 2005), better academic achievement 
(Carey & Martin, 2015), and higher school atten-
dance (Carey & Martin, 2015). However, a need 
exists for more rigorous and policy-relevant 
research to demonstrate the effect of school 

counseling practices and programs on student 
academic, socio-emotional, and college-career 
outcomes (Bryan, Day-Vines, Holcomb-McCoy, 
& Moore-Thomas, 2010; Carey & Martin, 2015; 
Whiston, 2002).

National secondary datasets represent poten-
tial gold mines of data for researchers. Federal 
government agencies and private foundations 
fund these datasets and make them available to 
researchers to conduct policy research about a 
wide range of education; medical, socio-
emotional, and mental health; cognitive and non-
cognitive, and family and community constructs 
and issues related to children, youth, and adults. 
These national secondary datasets present a valu-
able source of data that could be used to conduct 
policy-relevant research on education and mental 
health issues related to school counseling as well 
as the effects of school counseling practices on 
student outcomes (Bryan, Day-Vines, Holcomb-
McCoy, & Moore-Thomas, 2010; Carey & 
Martin, 2015). While a plethora of national sec-
ondary datasets exist that are designed for policy-
relevant research related to K-12 and higher 
education, mental health, and public health, little 
use of these secondary datasets has been used in 
school counseling research. In 2010, in their arti-
cle Using National Education Longitudinal 
Datasets in School Counseling Research, Bryan, 
Day-Vines, Holcomb-McCoy, and Moore-
Thomas highlighted the low use of secondary 
education datasets by school counseling 
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researchers. At that time, few school counseling-
related studies (i.e., Adams, Benshoff, & 
Harrington, 2007; Bryan, Holcomb-McCoy, 
Moore-Thomas, & Day-Vines, 2009; Bryan, 
Moore-Thomas, Day-Vines, Holcomb-McCoy, 
& Mitchell, 2009; Coker & Borders, 2001; Lee & 
Smith-Adcock, 2005; Suh, Suh, & Houston, 
2007; Trusty, 2002; Trusty & Niles, 2003, 2004) 
had been conducted using the Department of 
Education’s National Center of Education 
Statistics (NCES) datasets, such as the National 
Educational Longitudinal Survey 1988 
(NELS:88) and the Educational Longitudinal 
Survey 2002 (ELS 2002). Since then, a few more 
studies related to school counseling have been 
conducted (i.e., Bryan, Day-Vines, Griffin, & 
Moore-Thomas, 2012; Bryan, Moore-Thomas, 
Day-Vines, & Holcomb-McCoy, 2011; Bryan, 
Moore-Thomas, Gaenzle, Kim, Lin, & Na, 2012; 
Cholewa, Burkhardt, & Hull, 2015). Yet, such 
secondary datasets like the ones developed by 
NCES could be used to answer a wider range of 
questions concerning the effects of school coun-
selors and some school counseling practices on 
student outcomes. Indeed, the current relevance 
of school counseling is indicated by NCES’ 
inclusion of a survey of school counselors in its 
latest study, the High School Longitudinal Study 
2009 (HSLS 2009). An inclusion of a national 
survey of school counselors in the HSLS 2009 is 
a recognition of the critical role school counsel-
ors play in promoting students’ high school, post-
secondary, and early career decisions.

The purpose of this chapter is to increase 
school counseling researchers’ knowledge 
regarding how to access and analyze national 
secondary datasets. Our aim is to promote the use 
of national secondary datasets to extend school 
counseling outcome research on what school 
counseling practices work or do not work and to 
help school counselors and other educators 
understand broadly the education and mental 
health characteristics of students, families, and 
communities that they serve. In this chapter we 
discuss the benefits and challenges of using these 
datasets, describe some of the existing datasets, 
delineate a research process to facilitate the 

process of using the datasets, and briefly explore 
some of the policy-relevant questions that could 
be answered with the datasets. We hope that read-
ers will develop a clear understanding of the 
logistics and steps involved in conducting sound 
research studies with national secondary 
datasets.

�The Benefits of Using Secondary 
Datasets

Research based on large national or international 
datasets often provides important insights for 
education policy-makers and decision-makers 
seeking to address students’ academic, personal/
social, and career issues. Further, they provide 
researchers with rich opportunities to examine 
academic gaps, inequitable educational opportu-
nities, and factors related to education and coun-
seling. Table 11.3 in the Appendix contains a list 
and descriptions of some of the datasets fre-
quently used in school-based, youth, and mental 
health-related research. The American 
Psychological Association (APA) also provides a 
website with links to secondary datasets and data 
repositories suitable for educational, psychologi-
cal, and youth-related research (see http://www.
apa.org/research/responsible/data-links.aspx). 
These datasets are easily accessible to research-
ers who are interested in generalizing research 
findings to the larger target populations, explor-
ing patterns among subpopulations in the repre-
sentative data, and analyzing complex issues 
within multiple contexts and levels (Hahs-Vaugh, 
2005; Osborne, 2011). Given the difficulties in 
collecting data from large samples due to cost 
and time, secondary datasets are also helpful for 
tenure-track and junior researchers allowing 
them to utilize data typically from larger samples 
to answer research questions related to counsel-
ing and educational issues (Osborn, 2011). 
Below, we expand on some of the benefits 
researchers derive from using national and inter-
national secondary datasets. Table 11.1 provides 
a summary of the benefits of using these 
datasets.

J. Bryan et al.
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�Cost-Effectiveness
Secondary datasets offer researchers a cost-
effective means of accessing large representative 
samples and multiple data sources such as stan-
dardized test scores, follow-up test scores, and 
data on students, parents, and school personnel 
like teachers and counselors and data on neigh-
borhood and community factors (Hahs-Vaughn, 
2007; Hofferth, 2005; Kluwin & Morris, 2006; 
Mueller & Hart, 2011; Nathans, Nimon, & 
Walker, 2013). Indeed, researchers likely save 
numerous time and cost in the data collection 
process due to public access of these already 
existing data (Kluwin & Morris, 2006). The 
availability of these datasets is important for 
junior faculty who are under pressure in the ten-
ure and promotion process to publish substantive 
papers in a timely manner (Hofferth, 2005). For 
instance, NCES datasets such as the High School 
Longitudinal Study 2009 (HSLS 2009) provide 
students’ standardized test scores and scores on a 
diverse range of socio-emotional and behavioral 
indicators that enable researchers to examine 
important relationships about student outcomes 
through various conceptual frameworks. The 
findings produced by these large-scale secondary 
data analyses may provide policy-makers and 
practitioners with valuable information to help 
improve student academic and mental health 
outcomes.

�Generalizability
Many national and international secondary datas-
ets design their data collection to produce nation-
ally representative data from large samples. 
Nationally representative samples enhance the 
generalizability of findings from studies using 
these data (Kluwin & Morris, 2006; Nathans, 
Nimon & Walker, 2013; Strayhorn, 2009). Large 
samples that represent broad populations lead to 
greater precision in statistical estimation and 
increased generalizability (Hofferth, 2005). For 
instance, the Parent and Family Involvement in 
Education (PFI) survey from the National 
Household Education Surveys (NHES) devel-
oped by NCES addresses parents’ and families’ 
educational involvement, parents’ postsecondary 
educational plans for their children, and factors 

related to parent educational participation and 
involvement (Herrold & O’Donnell, 2008). 
Using such data, researchers may draw general-
izations about parents’ involvement patterns and 
trends in relationship to their children’s aca-
demic, socio-emotional, and college and career 
outcomes in the general population (Strayhorn, 
2009).

�Multiple Data Sources, Contexts, 
and Levels

Data on individuals in large national datasets are 
typically collected from multiple data sources. 
For example, in the ELS 2002 and HSLS 2009, 
data on students are collected from surveys of 
students themselves, parents, teachers and coun-
selors, other school personnel, and school admin-
istrators, as well as directly from student records. 
These data provide researchers with information 
about students in multiple contexts such as the 
classroom, family, and even neighborhood con-
texts. As a result, researchers are able to use these 
data about classroom, school, family, and com-
munity characteristics to explore the influence of 
systemic or ecological factors on students’ aca-
demic, socio-emotional, college, and career 
development (Mueller & Hart, 2011). For exam-
ple, Espelage (2014) emphasizes the importance 
of using secondary datasets to examine bullying 
from an ecological perspective. Indeed, school 
counseling has increasingly emphasized an eco-
logical framework, that is, the influence of stu-
dent, family, school, and community 
characteristics and stakeholders and their interac-
tions on students’ lives and in addressing stu-
dents’ needs and problems (Bryan & Henry, 
2012; McMahon, Mason, Daluga-Guenther, & 
Ruiz, 2014). Information about multiple contexts 
(e.g., home, school, and community environ-
ments), from multiple data sources (e.g., stan-
dardized test scores, transcripts, and 
postsecondary enrollment) and from multiple 
individuals (e.g., parents, teachers, school admin-
istrators, and students), allow researchers a 
unique opportunity to explore how ecological 
factors impact student outcomes. These rich data 

J. Bryan et al.
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allow counseling researchers to test theories and 
models that can provide substantive information 
for counselors to guide the development of com-
prehensive and systemic interventions.

�Interdisciplinary Studies
Secondary data may provide researchers in mul-
tiple disciplines with opportunities to explore 
educational or counseling topics from different 
research perspectives (Mueller & Hart, 2011). 
That is, national representative datasets allow 
interdisciplinary research from various counsel-
ing or educational disciplines, in which findings 
may provide valuable information to guide pol-
icy and practice in school-based counseling. 

�Exploratory and Comparative Studies
Numerous data analysis options exist with sec-
ondary datasets. The types of analyses vary with 
whether the data are cross sectional (e.g., National 
Survey of American Life) or longitudinal (or 
panel; e.g., NELS:88, ELS 2002, HSLS 2009) 
and whether it is structured to allow comparisons 
with other secondary datasets. See Table 11.3 in 
the Appendix to see which datasets are cross sec-
tional or longitudinal in nature. Four types of 
comparison are possible: (a) cross-sectional com-
parisons in which one compares individuals and 
groups on data collected at one point, (b) longitu-
dinal (or panel) comparisons in which one com-
pares individuals and groups on data collected at 
more than one point in time (i.e., allows examina-
tion of changes over time or individual heteroge-
neity), (c) inter-cohort comparisons in which one 
compares individuals and groups across datasets 
on the same variables (e.g., NELS:88, ELS 2002, 
HSLS 2009), and (d) international comparisons 
in which one compares individuals and groups 
across countries (e.g., the Program for 
International Student Assessment (PISA) and the 
Trends in International Mathematics and Science 
Study (TIMSS); Orletsky, Middleton, & Sloane, 
2015, p. 316). National secondary datasets often 
enable researchers to compare issues in the USA 
to international contexts to provide insightful 

information on policy-relevant issues important 
to the worldwide community (Hahs-Vaughn, 
2007; Wennberg, 2005). For instance, scholars 
can explore the academic performance of U.S. 
students to other countries using datasets such as 
National Assessment of Educational Progress 
(NAEP) or PISA.

�Longitudinal Investigation and Casual 
Inference
Longitudinal data collected at multiple time 
points from the same samples provide opportuni-
ties to examine change over time as well as ante-
cedent or mediator variables in statistical models 
with rigorous analysis. For instance, researchers 
can conduct longitudinal investigation on a 
college-going culture and identify precursors or 
other factors that predict later college enrollments 
in circumstance that cannot be manipulated 
experimentally (Grammer, Coffman, Ornstein, & 
Morrison, 2013). Due to the range of variables 
available in the dataset, researchers are also able 
to, in examining causal relationships, statistically 
control for confounding variables and selection 
bias that may affect results when using observa-
tional (nonexperimental) data (Schneider, Carnoy, 
Kilpatrick, Schmidt, & Shavelson, 2007).

�Advanced Research Design 
and Methodology
Secondary datasets provide opportunities for 
doctoral and junior faculty researchers to acquire 
advanced knowledge and skills in dealing with 
large samples and amounts of data and applying 
advanced statistical procedures (Hofferth, 2005). 
Researchers can increase their knowledge and 
skills regarding complex sampling design and 
weighting issues and the use of newly acquired 
knowledge of statistical analyses such as multi-
level modeling (Stapleton & Thomas, 2008). 
Moreover, large longitudinal and representative 
samples enable scholars to use various statistical 
methodologies that may not be possible in the 
small sample sizes typically found with collec-
tion of primary data.

11  Identifying and Using Secondary Datasets to Answer Policy Questions Related to School-Based…



158

�The Challenges of Using Secondary 
Datasets

Despite the many benefits, it is important that 
researchers understand and consider challenges 
to use secondary data. Below are detailed descrip-
tions to be taken into consideration for using sec-
ondary datasets. Table 11.1 provides a summary 
of both the benefits and challenges of using these 
datasets.

�Methodological Issues
Secondary data have methodological challenges 
that must be addressed by researchers who are 
concerned with generalizing findings to the 
intended population. Most samples in large 
national and international datasets are generally 
collected by cluster, stratified, or multistage sam-
pling, rather than by random sampling (Bryan, 
Day-Vines, Holcomb-McCoy, & Moore-Thomas, 
2010; Hahs-Vaughn, 2005, 2006). This type of 
complex sampling design creates statistical chal-
lenges such as larger standard errors and 
increased risk of Type I error, resulting in a need 
to use provided sample weights and consider the 
design effects. Therefore, researchers must take 
the time to understand complex sampling design 
and how to correct for design effects and apply 
sample weights (Hahs-Vaughn, 2007; Nathans, 
Nimon & Walker, 2013; Osborne, 2011). For 
instance, NCES data were collected using com-
plex sampling designs, that is, multistage sam-
pling including cluster and stratified sampling to 
ensure representation of the student population in 
the USA. This complex sampling design makes it 
important to employ appropriate analyses that 
produce accurate estimations of variances so as 
to avoid inaccurate results (Hahs-Vaughn, 2005, 
2006, 2007). Further, to represent the intended 
target population, these data are often collected 
using oversampling procedures to increase the 
numbers of small groups in the population (e.g., 
minority groups). Hence, researchers should use 
the weights provided and proper weighting 
techniques (e.g., statistical software that allows 
application of weights) so as to arrive at accurate 
parameter estimates and findings that are gener-

alizable to the population (Hahs-Vaughn, 2007; 
Orletsky, Middleton, & Sloane, 2015).

�Fit Between the Data and Research 
Questions
Compared to primary data sources, secondary 
data were not designed for counselors only, so 
researchers have little control over data collection 
including the types of variables and questions that 
are explored (Bryan, Day-Vines, Holcomb-
McCoy, & Moore-Thomas, 2010; Strayhorn, 
2009). Therefore, researchers may have difficulty 
in finding specific variables in the secondary data-
set that are compatible with their theoretical 
frameworks or constructs (Hofferth, 2005; 
Mueller & Hart, 2011). That is, the dataset may 
not include variables that fit the research question 
that a researcher wants to examine. For instance, 
when a researcher is interested in students’ sense 
of purpose, it may be hard to find appropriate 
items for identifying or operationalizing the con-
struct. Also, nationally representative samples 
may not reflect specific issues in particular con-
texts or populations (Strayhorn, 2009). For 
instance, when researchers are interested in edu-
cational issues in school districts and the effects 
of local policies or neighborhood factors on aca-
demic achievement, it may be difficult to use 
national secondary data to gain specific informa-
tion at the district or state levels (Warren, 2015).

�Limiting Validity and Reliability
Another challenge with datasets is that often only 
a single item or a few items are available to mea-
sure a construct. For example, researchers often 
measure concepts or constructs relevant to school 
counseling issues, such as social capital, student-
counselor contact, and parent empowerment, with 
single items and short scales. This may mean that 
a theoretical construct is measured incompletely 
(Grammer, Coffman, Ornstein, & Morrison, 
2013). Thus, these single items and short scales 
may decrease the construct validity and internal 
reliability of the measures used and may impact 
the degree of precision and error with which 
researchers measure the construct they want to 
measure (Hofferth, 2005; Wennberg, 2005).
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�Nuances of Datasets
Researchers need to be familiar with codebooks 
and technical manuals to understand and address 
the nuances of datasets such as handling missing 
data and coding procedures (Hahs-Vaughn, 
2007). For instance, the variables of interests 
may need to be recoded as alphanumeric scaled 
and Likert-type items (Hahs-Vaughn, 2007). 
Also, it is important to understand complex skip 
patterns and patterns of missing data so as to 
establish statistical plans to deal with them in 
data analysis.

�Knowledge on the Datasets
Although the secondary datasets are a cost-
effective tool, it is still necessary to invest time 
and energy to understand the data collection pro-
cess, documentation, and structure of the data 
files in order to utilize the datasets appropriately 
and accurately (Hofferth, 2005; Strayhorn, 2009). 
Some training may be necessary to learn strate-
gies and techniques for conducting secondary 
data analysis with existing datasets. NCES, 
American Institute of Research (AIR), and 
American Educational Research Association 
(AERA) offer workshops, online trainings, and 
special seminars to equip education researchers 
with the skills to access and use datasets (Bryan 
et al., 2010; Hahs-Vaughn, 2007).

�Advanced Statistical Analysis
The complex dataset may make it difficult to 
conduct a simple study. The nature of the datas-
ets, especially those comprising longitudinal 
and multiple samples, better lend themselves to 
advanced statistical analyses, especially in 
instances when scholars are interested in long-
term follow-up of participants and complex con-
textual factors (Hofferth, 2005). For example, 
researchers may need to use multilevel model-
ing analysis in order to answer research ques-
tions on the roles of specific levels of the school 
environment in students’ academic, social, and 
career outcomes. Collaborating with a research 
team and acquiring funding are beneficial when 
undertaking intensive studies with these datas-
ets (Grammer, Coffman, Ornstein, & Morrison, 
2013).

�Identifying and Using the Datasets: 
The Research Process

A large number of datasets are available that pro-
vide wonderful opportunities for researchers to 
conduct substantive theory-driven and model 
testing studies that contribute to existing knowl-
edge. Table 11.3 in the Appendix provides a list 
and description of some of the more common 
datasets used in counseling, education, and men-
tal health-related fields. To help researchers take 
advantage of these opportunities, in this section 
we describe what we consider to be a step-by-
step research process to conducting studies with 
these datasets.

�The Six-Step Research Process 
for Using and Evaluating Secondary 
Datasets

Bryan, Day-Vines, Holcomb-McCoy, and 
Moore-Thomas (2010) and Hofferth (2005) pro-
vided a six-step research process and a number of 
useful questions to guide research with national 
secondary datasets. Here, we update and expand 
Bryan et al.’s (2010) and Hofferth’s (2005) dis-
cussions under the following revised framework: 
(a) gaining access to the dataset, (b) getting to 
know the data and evaluating its suitability for 
the study, (c) preparing the data for analysis, (d) 
conducting appropriate data analyses, (e) inter-
preting results and examining implications 
including policy implications, and (f) consider-
ing and describing the limitations of the data. 
Figure 11.1 shows the six steps in the research 
process, while Table 11.2 delineates the impor-
tant tasks and subtasks at each stage of the 
research process using secondary datasets.

�Step 1: Gaining Access to the Dataset
�Accessing the Data
The first step in the research process is for 
researchers to identify and gain access to the 
appropriate dataset(s). Table 11.3 in the Appendix 
describes a wide range of secondary datasets 
with information about their purpose, the nature 
of the data, and where information about the data 
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may be obtained. Data repositories such as the 
National Center of Education Statistics (NCES), 
the Institute of Social Research (ISR) including 
the Inter-university Consortium Center of 
Political and Social Research (ICPSR), and the 
National Data Archive on Child Abuse and 
Neglect (NDACAN) at Cornell University house 
a large number of national and international sec-
ondary datasets that allow researchers to examine 
educational, mental, and public health and socio-
political questions and issues pertaining to chil-
dren and their caregivers such as parents, school 
counselors, and other school personnel (See 
Table 11.3). Many of these datasets are public use 
datasets and available through the websites of 
these organizations. Some datasets contain 
restricted data such as identifiers of schools and 
zip codes that could lead to researchers identify-
ing participants with some effort (Strayhorn, 
2009). When datasets contain these types of iden-
tifying data, the owners of the datasets often 
restrict access to these datasets or to the identify-
ing variables. To gain access to restricted data, 
researchers must apply for restricted use licenses. 

In most cases, restricted data must be housed in a 
secure location at the researchers’ institution and 
on computers without access to the Internet and 
available only to researchers named on the 
license.

�Gathering Information
Researchers typically start with tentative ques-
tions based on their research interests, and the 
more information they gather about the dataset(s) 
will help them to determine its suitability for 
their research in the early stages of the research 
process. The information-gathering step is inte-
gral to understanding the dataset. The first steps 
in gathering information entail going to the 
websites and manual to read about the datasets 
and examine the surveys used to collect the data 
and the codebooks to see what variables are 
found in the dataset. Secondly, researchers should 
read journal articles about studies utilizing the 
dataset. In addition, numerous articles exist on 
how to use secondary datasets in addition to this 
chapter. See our reference list for a wide variety 
of articles on using secondary datasets. Although 

Gaining Access to the 
Data

Getting to Know & 
Evaluating the Data

Preparing the Data 
for Analysis

Conducting Data 
Analyses

Interpreting Results 
and Examining

Implications including 
Policy Implications

Describing the 
Limitations of the 

Study/Data

Fig. 11.1  Six-step 
research process for 
using and evaluating 
secondary datasets
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researchers are eager to get their hands on the 
datasets and get started on analyses, it would be a 
huge mistake to begin data analysis without gath-
ering information about the methodology behind 
the data and reading the research literature on 
studies completed using the same or similar data 
(Lauritsen, 2015).

�Finding Training Opportunities
While organizations that own national datasets 
and their affiliates often conduct trainings for 
some datasets, some trainings are currently con-
ducted online. For example, prior to 2013, NCES 
conducted annual onsite trainings for research-
ers. Now researchers can engage in self-directed 
trainings for the many NCES datasets using their 
Distance Learning Dataset Training (DLDT) 
website found at https://nces.ed.gov/training/
datauser/, which comprises modules on the 
NCES datasets. These modules introduce you to 
each dataset, its purpose, information on the data 
collection, sampling design, sampling weights, 
and data analysis considerations. Trainings on 
some of the most recent NCES datasets are also 
conducted at a number of national conferences 
each year including the American Educational 
Research Association (AERA) national confer-
ence. In addition, AERA conducts an annual 
Institute on Statistical Analysis to promote 
researchers’ use of current NCES datasets to 
examine policy-related questions of interest in a 
particular area (e.g., postsecondary transitions, 
mathematics education). Applications to the 
Statistical Institute are usually due in January 
each year. The Association for Institutional 
Research (AIR) also provides online and face-to-
face education on NCES datasets including an 
annual NCES Data Institute, cosponsored by 
NCES.  Applications for the Data Institute are 
typically due in February each year. The Inter-
university Consortium for Political and Social 
Research (ICPSR) also offers a number of 
courses each year in its summer school that focus 
on selected datasets such as a four-week summer 
workshop on Quantitative Analysis of Crime and 
Criminal Justice sponsored by the Bureau of 
Justice Statistics (BJS).

�Step 2: Getting to Know the Data 
and Evaluating Its Utility/Suitability 
to Your Study
�Becoming Familiar with the Dataset
Once you have gained access to the data, perhaps 
the most important step of all is getting to know 
the data. Researchers should begin by reading the 
manuals and reports that describe the data. For 
example, NCES provides a detailed manual 
describing background, instrumentation, sample 
design, coding systems, and sample weights for 
all of its surveys (see http://nces.ed.gov/sur-
veys/). It is imperative that researchers under-
stand how survey items were worded and 
structured, what participants’ responses to the 
survey items of interest mean, what the response 
options were, and who actually answered the 
question (Wells, 2016; Wennberg, 2005). 
Sometimes the item is not really measuring what 
it appears to be measuring. Taking the time to 
explore these measurement issues will help 
researchers determine the extent to which the 
items may be used to measure the variables in 
their proposed study and address their research 
questions. Further, researchers will find it helpful 
to become familiar with previous research and 
how other researchers have used the same items 
in published studies, especially studies that used 
the same dataset or similar ones (Hofferth, 2005; 
Wells, 2016).

�Determining Appropriate Research 
Questions and the Suitability 
of the Dataset for the Study
Appropriate research questions emerge when 
researchers engage in an iterative process of 
immersing themselves in the theoretical and 
empirical literature and closely examining the 
manuals and survey questions of one or more 
secondary datasets in order to determine their 
suitability for their research interests. If the data-
set is not suitable for answering the research 
questions, researchers may need to reconceptual-
ize the study and/or seek new data (Hofferth, 
2005). While researchers should pursue the 
research questions that capture their interest, as 
they decide on their questions, they should also 
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consider how their questions and study could 
contribute to policy related to students, families, 
and school-based counseling.

�Developing the Conceptual (or 
Theoretical) Framework
As with any other research, researchers who are 
conducting studies with secondary datasets should 
be guided by strong conceptual/theoretical 
frameworks. A strong conceptual/theoretical 
framework improves researchers’ decisions about 
what variables to use, what constructs to measure, 
and what items define these constructs, the type of 
appropriate data analyses, and interpretation of 
results. Conceptual or theoretical frameworks 
emerge from the conceptual and empirical litera-
ture on these ideas, concepts, and variables as 
well as from researchers’ own personal experi-
ences. All of this together forms a “tentative the-
ory” (Maxwell, 2012, p. 36) of what you think is 
going on between and among the concepts, ideas, 
factors, and variables of interest. Research with-
out a conceptual framework is simply data mining 
(Zhang, 2010). In large datasets, researchers will 
inevitably find relationships between variables, 
but a lack of consistent theoretical/conceptual 
underpinnings that explain the relationships 
among the variables will undermine the credibil-
ity of their study. Taking time to be immersed in 
the literature and develop a conceptual framework 
will improve one’s research goals, research ques-
tions, justification for the study, methodological 
decisions, selection and validity of the measures, 
and interpretation of the results.

In the extant research, counseling researchers 
have used a variety of conceptual frameworks to 
develop studies with secondary datasets. These 
frameworks include school bonding (Bryan, 
Moore-Thomas, Gaenzle, Kim, Lin, & Na, 2012; 
Lee & Smith-Adcock, 2005), social capital 
(Bryan, Moore-Thomas, Day-Vines, & 
Holcomb-McCoy, 2011; Croninger & Lee, 2001; 
Perna & Titus, 2005), parent empowerment (Kim 
& Bryan, 2017), discipline disproportionality 
(Bryan, Day-Vines, Griffin, & Moore-Thomas, 
2012), and college opportunity structure (Engberg 

& Gilbert, 2014). These conceptual frameworks 
helped researchers bring new insights to the 
problems studied.

�Challenging the Conceptual Frameworks 
Through which You Examine Marginalized 
Groups
In conducting research with large datasets, we 
caution researchers to examine their views or 
positionality about the research participants or 
the problem they are studying. Researchers’ posi-
tionality refers to researchers’ worldview and 
beliefs that affect the stance they take to the 
research and the problem they are studying 
(Foote & Bartell, 2011; Milner, 2007). Their 
positionality influences the language and narra-
tives they use to describe marginalized groups 
(e.g., female, racial or ethnic minority, immi-
grant, poor, urban, or rural students and families). 
Researchers must be careful not to perpetuate the 
negative attributes and stereotypes of people of 
color and other marginalized groups (Milner, 
2007). For example, often education researchers 
define children as “at risk” or “problematic” 
without examining the complexities of the prob-
lem or realities of the participants, or the pro-
found impact of the labels on children (Swadner, 
1990). Although researcher positionality is a 
term used mostly in the qualitative research lit-
erature, it is important for all researchers to be 
critical of their use of language and how they are 
presenting their findings.

Relatedly, it is important to be cautious about 
presenting marginalized groups as monolithic 
groups. The tendency for researchers to ignore 
ethnic variation within minority groups may hin-
der a deeper understanding of educational pro-
cesses among racial/ethnic groups. For example, 
studying Black children as one racial group fails 
to take into account the difference in history, cul-
tures, social, and family experiences among 
Black children (Griffith, Neighbors, & Johnson, 
2009; O’Connor, Lewis, & Mueller, 2007). Yet, 
the experiences of Caribbean, African, African-
American, and Hispanic Black children differ in 
many ways.
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�Step 3: Preparing the Data for Analysis
�Creating a Useable Dataset
Preparing a useable dataset for analysis from a 
national secondary dataset takes an investment of 
time and thought. Researchers must first create a 
working dataset that contains the variables and 
sample they want to use in their study and that is 
ready for analysis (Willms, 2011). This working 
file should include any sample weights, cluster, 
strata, and identification variables. The weight, 
cluster, and strata variables are particularly 
important for use in data analyses with complex 
samples. Researchers should make sure that all 
missing values and label values are coded cor-
rectly. It is wise to keep a copy of this working 
dataset in case the need arises to revert to it to 
start analyses over from the beginning.

�Using Sampling Weights and Strata 
and Cluster Variables to Control 
for Complex Sample Design Effects
Data in most large national datasets are col-
lected from complex samples meaning that the 
samples were selected using stratified, cluster, 
or multistage sampling or a combination of 
both. Therefore, the data cannot be treated like a 
simple random sample. A large number of arti-
cles discuss the importance of using sampling 
weights in the statistical analysis of complex 
samples and specific procedures for doing so 
(Hahs-Vaughn 2005, 2006, 2007; Hahs-Vaughn, 
McWayne, Bulotsky-Shearer, Wen, & Faria, 
2011a, 2011b; Osborne, 2011; Wells, Lynch, & 
Seifert, 2011). When sample weights are 
applied, the sample size increases to represent 
the population (Osborne, 2011). For example, 
the 21,444 students in the HSLS 2009 are repre-
sentative of over three million students, and 
when the student sample weight is applied, the 
sample size in analyses is extremely large. As a 
result of these large sample sizes, data analyses 
that do not account for the complex design 
effects will produce smaller standard errors or 
increased Type I error (Bryan et al., 2010; Hahs-
Vaughn, 2005, 2006). Therefore, researchers 
must make a correction for these artificially 

small standard errors that increase the likelihood 
of significant results (Type I error). To correct 
for the complex sample design effects, research-
ers must choose and apply the appropriate sam-
pling weight for their analysis. When the 
software allows it, they should also apply the 
strata and cluster (primary sampling unit) vari-
ables. This process requires selecting the appro-
priate statistical software, choosing the 
appropriate weight for the analytic samples, and 
selecting the strata and cluster variables pro-
vided in the datasets.

�Selecting Appropriate Statistical Software
Numerous statistical software packages now 
accommodate complex samples, such as SPSS, 
SAS, Stata, MPlus, HLM, and Latent Gold (Hahs-
Vaughn, McWayne, Bulotsky-Shearer, Wen, & 
Faria, 2011a). These software packages allow 
researchers to specify the weight, strata variable, 
and cluster variable (also called primary sampling 
unit or PSU in some datasets). These software 
allow researchers to conduct analyses that auto-
matically adjust for the complex design effects and 
result in more accurate analyses. However, when 
one does not have statistical software for complex 
survey data or when one only has the sampling 
weight (e.g., strata and cluster variables are with-
held in some restricted datasets such as HSLS 
2009), researchers may make corrections manu-
ally (Bryan et  al., 2010). Previous practices for 
manually adjusting the sample weight include 
scaling (or re-normalizing) the weight to adjust the 
sample size (Hahs-Vaughn, 2005, 2006; Osborne, 
2011). For example, most NCES datasets include 
two types of design effects. Researchers can use 
these NCES-derived design effects: (1) the root 
design effect (deft) to adjust the standard errors of 
test statistics or (2) the average design effects (deff) 
to create a new weight, that is, to renormalize the 
weight. Researchers who wish to manually adjust 
and apply the weight may use either one of these 
design effects to renormalize the appropriate 
weight. These calculations are described in detail 
elsewhere (Bryan et  al., 2010; Hahs-Vaughn, 
2005, 2006).
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�Handling Missing Data and Determining 
the Analytic Sample
The analytic sample is the sample on which you 
will conduct your analyses on and is arrived at by 
cleaning the data, selecting all the relevant data, 
and handling missing data (Bryan et  al., 2010). 
Too much missing data will limit the generaliz-
ability of a study’s findings; hence, researchers 
should make decisions about which procedure 
they will use to deal with missing data (Bryan 
et  al., 2010; Hahs-Vaughn, 2007; Wells, 2016). 
Some traditional methods include dropping 
observations using listwise or pairwise deletion 
and mean substitution (i.e., replacing missing 
values on a variable with the mean of the vari-
able). However, these methods can lead to 
reduced sample size and limited variability and 
may affect your findings; therefore, it is better to 
use model-based methods to handle missing data 
such as multiple imputation and maximum likeli-
hood estimation procedures. See the following 
work (Allison, 2003; Baraldi & Enders, 2010; 
Peugh & Enders, 2004; Schlomer, Bauman, & 
Card, 2010) for an in-depth discussion of strate-
gies for managing missing data.

�Choosing Items and Creating Composites
Choosing items and creating composite variables 
to represent variables should not be done haphaz-
ardly, but should be guided by researchers’ con-
ceptual framework and, wherever possible, a factor 
analytic approach (e.g., principal components 
analysis, principal factor analysis, and confirma-
tory factor analysis). For example, if a researcher 
is measuring school bonding or school connected-
ness, both his/her conceptual framework and a fac-
tor analysis will be helpful in determining which 
items to select, how to name the factors or compo-
nents, and the validity (i.e., whether a measure or 
factor actually measures what it purports to mea-
sure) of your measures. Many national datasets 
contain categorical measures; therefore, research-
ers may need to use a nonlinear factor analysis 
method for nominal or ordinal items such as non-
linear (or categorical) principal component analy-
sis (also known as CATPCA). For examples of 
CATPCA with datasets, see Hahs-Vaughn (2017) 
and Kim and Bryan (2017). When researchers 

need to select a single item or a few items as a 
proxy for a construct they wish to measure, it is 
equally important that they use theory as well as a 
comparison of how other researchers use these 
same items or similar ones in studies that measure 
the same construct or variable.

�Step 4: Conducting Appropriate Data 
Analyses
After selecting appropriate software; determin-
ing the appropriate weights, cluster, and strata 
variables; and conducting a missing data analysis 
to arrive at their analytic sample, researchers are 
be ready to analyze the data using statistical 
methods that are suitable for their research ques-
tions and the type of data (Bryan et  al., 2010; 
Wells, 2016). Researchers should not be discour-
aged if they do not have the statistical knowledge 
necessary to conduct all of the analyses we high-
light in this section. Statistics are mere tools to 
answer questions, and this knowledge can be 
required through taking online and face-to-face 
courses and workshops as well as through read-
ing of some of the user-friendly texts and articles 
we recommend later in this section. Researchers 
should also collaborate with colleagues who are 
knowledgeable about the statistical methods they 
desire to use to answer their research question. 
Information on webinars and short courses and 
workshops can be found at websites such as the 
Analysis Factor (http://www.theanalysisfactor.
com/about/) and Statistical Horizons (http://sta-
tisticalhorizons.com) and at a number of univer-
sity summer programs in quantitative methods, 
such as ICPSR’s Summer Program in Quantitative 
Methods of Social Research (http://www.icpsr.
umich.edu/icpsrweb/sumprog/index.jsp) and the 
Odum Institute (http://www.odum.unc.edu/
odum/contentSubpage.jsp?nodeid=21).

�Building Analyses Foundation Up to More 
Complex Analyses
Researchers should use multiple methods to tell a 
story, to answer the research question, and to 
paint a full picture of the phenomenon and rela-
tionships under study (Wells, Lynch & Seiffert, 
2011). Rather than yielding to the temptation to 
jump straight to the more complex analyses (e.g., 
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factor analysis, multiple regression, structural 
equation modeling, multilevel modeling, and 
latent class analysis), it is important to build the 
house from the bottom up (Willms, 2011). 
Starting with simple methods such as descriptive 
analyses (e.g., mean, median, mode, skewness, 
standard deviation, frequencies, and proportions) 
and correlational analyses allows one to disag-
gregate the data and provide greater insight about 
outliers, differences among the subgroups in the 
sample, and linear and nonlinear associations 
among the variables. These analyses help 
researchers to tell the story and to paint the big 
picture and, ultimately, allow researchers to bet-
ter understand and explain results from their 
more advanced analyses, often uncovering any 
underlying patterns and meanings in the more 
complex results (Bryan et al., 2010).

�Using More Advanced Statistical Methods
In particular, national secondary datasets are 
most suitable to more advanced statistical tech-
niques (Bryan et  al., 2010; Wells, 2016). The 
most common analyses with secondary datasets 
appear to be multivariate analyses, like multiple 
linear regression and logistic and ordinal regres-
sion analyses. Multiple regression can be a useful 
lens for examining findings from national datas-
ets (Nathans, Nimon, & Walker, 2013). However, 
many datasets comprise data collected from 
groups of individuals (e.g., students, parents, and 
teachers) who are clustered or nested within 
higher level units (e.g., classrooms, schools, col-
leges, neighborhoods, organizations, and coun-
tries) or they comprise repeated observations on 
individuals over time (i.e., observations nested in 
individuals). These multilevel data violate the 
independence assumption in many traditional 
statistical procedures such as multiple regression 
because individuals in the same cluster (e.g., stu-
dents in the same classroom) are more alike (or 
homogeneous) and their scores are dependent. 
This lack of independence may result in increased 
Type I error rates and incorrect results when 
using statistical procedures based on the indepen-
dence assumption (Peugh, 2010; Zhang, 2010). 
Multilevel modeling (also called hierarchical lin-
ear modeling [HLM]) allows researchers to take 

advantage of these nested data to examine change 
within persons (i.e., individual differences or het-
erogeneity) or within units (Cheslock & Aguilar, 
2011; Lynch, 2012; Peugh, 2010; Zhang, 2010). 
Counseling researchers should explore the bene-
fits of more advanced statistical procedures such 
as structural equation modeling (Byrne, 2016), 
multilevel modeling or hierarchical linear model-
ing (Lynch, 2012; O’Connell & McCoach, 2008; 
Peugh, 2010; Snijders & Bosker, 2012), and 
latent class analysis (LCA; Collins & Lanza, 
2013; Lanza & Cooper, 2016; Lanza & Rhoades, 
2013) where appropriate for answering their 
research questions.

�Replication of Studies
We encourage researchers who use secondary 
datasets to replicate their studies with other data-
sets to build a knowledge base and test previous 
findings. The fact that many secondary datasets 
collect the same or similar data on participants 
over a period of time allows for replication to see 
if findings are consistent. For example, Dumais 
(2009, 2008) compared teenagers in the NELS:88 
and ELS:2002 cohorts and found consistent 
patterns in academic attitudes, extracurricular 
participation, and math achievement among 12th 
graders. The lack of replication of studies in 
school-based education and counseling often 
makes it difficult for researchers to make strong 
conclusions (Makel & Plucker, 2014). Replication 
builds on previous research while at the same 
time working to establish a body of credible 
knowledge about a particular phenomenon 
(Nathans, Nimons, & Walker, 2013, p.  26–27). 
Indeed, the replication of studies with these data-
sets provides a more credible knowledge base 
from which to make policy and practice recom-
mendations (Makel & Plucker, 2014).

�Step 5: Interpreting the Results 
and Examining the Implications 
Including Policy Implications
Often counseling researchers fail to provide pol-
icy implications from their research. Like many 
researchers, they identify implications for prac-
tice and future research, but fail to go a step fur-
ther to identify policy-relevant conclusions or to 
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present them in a persuasive manner (Glover, 
2002). However, when counseling researchers 
conduct studies with national secondary datasets, 
they must recognize that these datasets are often 
constructed to guide policy on pertinent educa-
tional and mental health problems facing schools, 
families, communities, and governments. Hence, 
policy-makers are interested in the policy impli-
cations from these studies (Bryan et al., 2010; St. 
John, 2004). Therefore, it is important that 
researchers think carefully about the policy 
implications of their studies with these datasets 
rather than providing broad recommendations 
and vague conclusions that could fit almost any 
topic on school-based counseling (e.g., the school 
should increase the number of school counsel-
ors..., or school counselors need more training 
to…, or school counselors should consider these 
findings when…). In presenting the findings and 
implications, it is important to ask oneself 
whether a policy-maker (the audience) would 
find this paper credible, be clear about what 
action needs to be taken, and see the recommen-
dations as practical, relevant, and concrete 
(Glover, 2002; Wilcox & Hirschfield, 2007). To 
be successful in producing policy-relevant 
research and implications, policy should not be 
an afterthought at the end of the study. Indeed, it 
is important that counseling researchers think 
about the policy relevance and implications of 
their research from the outset as they develop 
their research plan and design.

�Step 6: Considering and Describing 
the Limitations of the Study
Researchers must be transparent about limita-
tions that exist with the use of data from national 
and international secondary datasets. Although 
secondary datasets have many strengths, they 
also bring some limitations as reflected in the 
challenges discussed earlier in this chapter. First, 
researchers are constrained by the fact that the 
data is collected by someone else and they often 
have to use items to measure constructs which 
the items may not have been intended to measure 
(Bryan et  al., 2010; Kluwin & Morris, 2006; 
Wennberg, 2005). This results in researchers uti-
lizing items as proxies for complex constructs, 

for example, school bonding (Bryan, Moore-
Thomas, Gaenzle, Kim, Lin, & Na, 2012; Lee & 
Smith-Adcock, 2005), social capital (Bryan, 
Moore-Thomas, Day-Vines, & Holcomb-McCoy, 
2011; Croninger & Lee, 2001; Perna & Titus, 
2005), and parent empowerment (Kim & Bryan, 
2017). These measurement issues highlight the 
importance of a strong conceptual or theoretical 
framework to guide researchers’ operationaliza-
tion of variables as well as the importance of 
comparing items used to measure similar or 
related constructs across studies that utilized sec-
ondary datasets (Bryan et al., 2010; Wells, 2016).
Relationships, such as counselor-student rela-
tionships and students’ contact with school coun-
selors and other helping professionals in schools, 
are of great interest to school counseling research-
ers. While these data allow researchers to exam-
ine the effect of students’ or parents’ contact with 
these professionals, they do not reveal the quality 
or extent of these interactions (Bryan et  al., 
2010). Moreover, in some cases, researchers are 
limited to one item in measuring student-
counselor contact (see Bryan, Holcomb-McCoy, 
Moore-Thomas, & Day-Vines, 2009; Bryan, 
Moore-Thomas, Day-Vines, & Holcomb-McCoy, 
2011) or parent-counselor contact (see Kim & 
Bryan, 2017). Not only does the use of one or two 
items to measure a variable affect the construct 
validity and reliability of the variable; it also lim-
its the conclusions and rich interpretations 
researchers may make. In general, researchers 
must be careful about overstretching their con-
clusions and should openly discuss these limita-
tions (Wells, Lynch & Seiffert, 2011).

�Potential Research Questions 
Related to Policy Issues on School-
Based Counseling

To date, counseling researchers have examined a 
number of problems and issues pertinent to 
schools with national secondary datasets. These 
issues include predictors of students’ contact 
with the school counselor for college information 
(Bryan, Holcomb-McCoy, Moore-Thomas, & 
Day-Vines, 2009) and for counseling services 
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(Bryan, Moore-Thomas, Day-Vines, Holcomb-
McCoy, & Mitchell, 2009), predictors of high 
school dropout (Suh, Suh, & Houston, 2007), 
effects of parent empowerment on academic 
achievement (Kim & Bryan, 2017), effects of 
school counselor-student contact on college 
application rates (Bryan, Moore-Thomas, Day-
Vines, & Holcomb-McCoy, 2011), effects of 
school bonding on academic achievement (Bryan, 
Moore-Thomas, Gaenzle, Kim, Lin, & Na, 2012), 
predictors of school counselors’ influence on 
underrepresented students’ thoughts about post-
secondary education (Cholewa, Burkhardt, & 
Hull, 2015), and how counseling opportunity 
structure varies among schools and affects their 
college enrollment rates (Engberg & Gilbert, 
2014). However, greater understanding of these 
issues as well as a number of other important 
policy-relevant issues could be developed through 
thoughtful secondary data research using the six-
step research process in this chapter.

Notably, policy-makers are concerned with 
critical issues such as closing academic gaps, 
reducing educational inequity, and promoting col-
lege and career readiness in American schools. 
Potential research could provide valuable infor-
mation for policy-makers to make decisions about 
what educational programs and strategies are 
effective to promote student academic, social/
emotional, and career/college development. 
Below, we briefly discuss potential areas of school 
counseling research that have direct policy impli-
cations for school-based counseling practice.

�Relationship between School 
Counseling Practices and Student 
Outcomes

School counseling research could examine fac-
tors related to school counseling practices/inter-
ventions and students’ academic and college 
outcomes. Given the importance of the roles 
school counselors play in promoting academic 
and college outcomes, school counselors and 
policy-makers are interested in the effectiveness 
of school counseling practices and interventions 
to best serve all students. Some national datasets 

provide variables explicitly suited to examine 
connections between counseling-related activities 
and student outcomes. Specifically, the 
HSLS:2009 includes school counselor question-
naires about school counseling practices and 
interventions related to college and career readi-
ness. Using this dataset, school counseling 
researchers could examine counseling factors 
that may influence college readiness (e.g., school 
counselor-student contact, GPA, SAT, and taking 
advanced courses), college choices (e.g., applica-
tion to 2-year vs. 4-year colleges or to nonselec-
tive vs. selective universities), and college 
enrollment. Further, the research could identify 
how school counseling practices may affect tradi-
tionally underrepresented students’ outcomes 
(e.g., immigrant students, students from lower 
SES families, first-generation college students, 
English language learners, and students with dis-
abilities). Such research could provide specific 
information on which practices and interventions 
might be most beneficial to students and how 
counselors can better serve and advocate for stu-
dents who are underrepresented in schools.

�Noncognitive Variables that Influence 
Students’ Academic and College 
Outcomes

The American School Counselor Association 
(ASCA, 2014) has recently called attention to the 
noncognitive factors or the academic mindsets 
that are integral to students’ performance and 
college readiness. “Academic mindsets are 
beliefs, attitudes, or ways of perceiving oneself in 
relation to learning and intellectual work that 
promote academic performance” (Nagaoka, 
Farrington, Roderick, Allensworth, Keyes, 
Johnson, & Beechum, 2013, p. 49). Researchers 
from the University of Chicago Consortium on 
Chicago School Research has highlighted the 
importance of noncognitive factors to academic 
success (Farrington, Roderick, Allensworth, 
Nagaoka, Keyes, Johnson, & Beechum, 2012; 
Nagaoka, Farrington, Roderick, Allensworth, 
Keyes, Johnson, & Beechum, 2013). Thus, future 
school counseling research could explore the 
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influence of specific variables (e.g., self-concept, 
sense of belonging, perseverance, self-efficacy, 
sense of purpose) on student academic and col-
lege outcomes. For instance, Bryan, Moore-
Thomas, Day-Vines, and Holcomb-McCoy 
(2011) examined the relationship between school 
bonding and high school students’ academic out-
comes using educational longitudinal dataset 
(ELS:02). Future investigations could replicate 
the school bonding research regarding students’ 
college choices and enrollment. Moreover, 
school counseling research could examine the 
relationship of academic mindsets (e.g., sense of 
belonging, self-efficacy) and college readiness to 
college enrollment and retention.

�Students’ College and Career 
Pathways

President Obama’s administration called for edu-
cators to ensure that all students are well prepared 
for college and careers (Bryan, Young, Griffin, & 
Henry, 2016). School counselors are at an opti-
mal position to help address students’ college 
access and attainment as well as their career 
preparation. Indeed, school counselors play cru-
cial roles in planning and preparing students for 
postsecondary education, including 2-year and 
4-year colleges and technical and vocational 
schools (Bryan, Young, Griffin, & Henry, 2016). 
However, in the current school counseling litera-
ture, very little school counseling research exists 
on counseling factors that may influence stu-
dents’ postsecondary application and enrollment 
decisions, their choice of major in college, and 
their future career pathways. School counseling 
research could examine postsecondary variables 
(e.g., postsecondary aspirations, career aspira-
tions, application to various types of postsecond-
ary institutions, work and career experiences, 
college enrollment, and degree attainment) that 
influence students’ college and career pathways. 
For instance, given the importance of STEM 
enrollment for the country’s continued prosper-
ity, more research is warranted about the fac-
tors that could potentially influence students’ 

STEM-related college/vocational/career major 
choices. Important implications for school coun-
selors’ practice and programming and policies 
related to students’ college and career develop-
ment may emerge from this research.

�School Violence and Bullying

School violence and bullying always have been 
issues of concern in U.S. schools. About a third of 
middle and high school students are physically bul-
lied and over half are verbally bullied 
(U.S. Department of Education, 2010). However, 
most of the articles focus on offering recommenda-
tions, strategies, and interventions for school coun-
selors, parents, teachers, communities, and legal 
systems (Allen, 2010). Very little research exists 
that provides national findings about what school 
counseling services could help address school vio-
lence and bullying issues. National data allow 
researchers to investigate how ecological factors, 
including school counseling practices, may con-
tribute to school violence and bullying. Further, 
school counseling researchers could examine the 
relationships and effects of bully victimization and 
school violence to and on students’ academic, 
behavioral, and college outcomes across multiple 
contexts (e.g., family, school, and community). For 
instance, NCES datasets (e.g., Early Childhood 
Longitudinal Study (ECLS), ELS 2002, and HSLS 
2009) include student items that assess school vio-
lence, bullying victimization, problem behaviors, 
peer influence, and school safety (Espelage, 2014, 
2015). Moreover, the School Crime and Safety 
(SCS) survey would allow researchers to explore 
how promotive, protective, and risk factors might 
be conducive to creating positive or negative envi-
ronments that discourage school violence and bul-
lying (Espelage, 2014, 2015). Further, these 
datasets can be used to explore how perceptions of 
teachers, parents, and school adults may mediate 
school violence and student outcomes (Espelage, 
2014, 2015). Such investigations may provide 
information for school counselors that inform how 
the design of prevention efforts for reducing school 
violence and bullying.

J. Bryan et al.
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�Conclusion

Our aim has been to provide step-by step logis-
tics to help researchers conduct school counsel-
ing research that impact policy decisions utilizing 
national secondary datasets. We offer a six-step 
research process that school counseling research-
ers may follow to conduct research to examine 
the effects of school counseling and school 
practices and programs on student academic, 
socio-emotional, and college-career outcomes. 
While they may present several challenges in 
terms of the learning curve needed to understand 
methodological and statistical issues, these data-
sets provide valuable and cost-effective opportu-
nities to conduct rigorous, generalizable, 
longitudinal, and casual studies to advance 

knowledge. The six-step research process may 
act as a map which guides researchers to their 
final research goals by delineating tasks at each 
step of the process and informing how to com-
plete them. In the six-step process, we emphasize 
the importance of a theoretical framework, 
researcher positionality, and policy implications 
that researchers should consider and challenge 
throughout the entire process. If researchers 
desire to conduct school counseling research 
with national secondary datasets, they could 
examine school counseling and other educational 
factors related to academic or opportunity gaps 
and educational inequities, and academic, col-
lege/career, and mental health outcomes, which 
all have implications for developing effective 
school counseling interventions and practices.

11  Identifying and Using Secondary Datasets to Answer Policy Questions Related to School-Based…
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